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Specifies the maximum number of input sttributes that the algorithm can handle
before invoking festure selection. Setting this value to 0 disables feature
selection for input attributes . [Enterprise Edition]
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algorithin to use hewristics to best determine the number of clusters to build. The
default iz 10.
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Specifies the maximum number of input sttributes that the algorithm can hancdle
before invoking feature selection. Setting this value to O dizsbles festure selection
for input sttributes ., [Enterprise Edition]
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h AR IMPUT _ATTRIBUTES |255
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before invoking festure selection. Setting this value to 0 disables feature
selection for input attributes . [Enterprise Edition]

Specifies the maximum number of input sttributes that the algorithm can handle
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HOLDOUT_PERCENTAGE |20
HOLDOUT _SEED 0
MAKIMUM_IMPUT_ATTRIBUITES 255
MAKIMUM_OUTPUT_ATTRIEUTES 255
MAXIMUM_STATES 100
SAMPLE_SIFE 10000
HIDDEM_MODE_RATIO 40

Specifies the percentage of training cases used to calculate the holdout error,

which is used as part of the stopping criteria during newral network learning.
[Enterprize Edition]
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Specifies the percentage of training cases used to calculate the holdout errar,
which is used as part of the stopping criteria during neural netvwork learning.
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Fields | Server | Model | Expett | snnatations

Mode: O Simple @ Expert

Mame | Yalue

P IMUM_ITEMSET _COLNT | 200000

hl LR _ITEMSET_SIZE 3

AN MU _SUPPORT 1.0
hAIRIALIM_SUPPORT 0.03
hAIRIRALIM_IPORT AMCE -3899925993
hAIRIALIM_ITEMZET_ZIZE 1
RAIMIMLIM_PROBABILITY 0.4

Specifies the maximum number of temsets to produce. If no number is specified, the
algorithm generstes all possible temsets.
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Mame | WValue
COMPLEXITY _PEMALTY a4
MIRIMLIM_SLPPORT 10
PERIODICITY _HINT {1}
HISTORIC_MODEL _COUNT 1
HISTORIC_MODEL _GAP 10
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MIMIMLIM_SERIES v ALUE -1E308
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Specifies a numerical value between 0 and 1 used to detect periodicity. Setting
thiz value closer to 1 favors discovery of many near-periodic patterns and
automatic generstion of periodicity hints. Desling with a large number of
periodicity hirts will likely lead to significantly longer model training times. I the
value iz clozer to 0, periodicity is detected only for strongly periodic data.
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Fields | Server | Model | Expert | annctations

Mode: @ Simple @ Expert

Mame | Value
CLUSTER_COUNT |10
MIRIMLIM_SLIPPORT 10
MAIMUM_STATES 100
MAXIMUM_SEQUENCE_STATES fid

Specifies the approximate number of clusters to be built by the algorithm. If the
approximate number of clusters cannot be built from the data, the algorithm builds
as many clusters as possible, Setting the CLUSTER_COUNT parameter to 0
causes the algorithm to use heuristics to best determine the number of clusters to
huild. The default is 10.
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CREDIT Type CREDITI CREDITECORES

BATIRE AL SQL:
DROP TABLE CREDITSCORES

CREATE TABLE CREDITSCORES ( "field1" varchar (1), "field2" varchar (255), "field3" f
loat, "field4" varchar (1), "field5" varchar (2), "field6" varchar (2), "field7" varcha
r(2),"field8" float, "field?" varchar (1), "field10" varchar (1), "field11" int, "fiel
d12" varchar (1), "field13" varchar (1), "field14" int, "field15" int, "field16" varch
ar (1), "KEY" int, "$M-field16" varchar (9), "$§MC—Field16" float )

INSERT INTO CREDITSCORES ("field1", "field2", "field3", "field4", "field5", "field6", "field7", "field8"
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{EF Microsoft Analysis Services H{THIEEREIE

"field9", "field10", "field11", "field12", "field13", "field14", "field15", "field16"
"KEY", "$M-field16", "$MC—field16")
SELECT T0.CO AS CO, TO.G1 AS C1,T0.G2 AS G2, T0.GC3 AS C3,T0.C4 AS C4,T0.GC5 AS G5,
T0.C6 AS C6, T0O.C7 AS C7,T0.C8 AS €8, T0.C9 AS C9, T0.C10 AS C10
TO.C11 AS C11,T0.C12 AS C12,T0.C13 AS C13,T0.C14 AS C14,
T0.C15 AS C15,T0.C16 AS C16,T0.C17 AS G17,T0.C18 AS C18
FROM (
SELECT CONVERT (NVARCHAR, [TA]. [field1]) AS GO, CONVERT (NVARCHAR, [TA]. [field2]) AS C1,
[TA]. [field3] AS C2, CONVERT (NVARCHAR, [TA]. [field4]) AS C3,
CONVERT (NVARCHAR, [TA]. [field5]) AS C4, CONVERT (NVARCHAR, [TA]. [field6]) AS C5,
CONVERT (NVARCHAR, [TA]. [field7]) AS C6, [TA]. [field8] AS (7,
CONVERT (NVARCHAR, [TA]. [field9]) AS C8, CONVERT (NVARCHAR, [TA]. [field10]) AS C9
[TA]. [field11] AS C10, CONVERT (NVARCHAR, [TA]. [field12]) AS C11,
CONVERT (NVARCHAR, [TA]. [field13]) AS C12, [TA]. [field14] AS C13
[TA]. [field15] AS C14, CONVERT (NVARCHAR, [TA]. [field16]) AS C15,
[TA]. [KEY] AS C16, CONVERT (NVARCHAR, [TA]. [$M—field16]) AS C17
[TA]. [$MC—field16] AS C18
FROM openrowset (' MSOLAP'
'Datasource=localhost;Initial catalog=FoodMart 2000’
"SELECT [T]. [cO] AS [field1], [T]. [C1] AS [field2], [T]. [C2] AS [field3],
[T]. [c3] AS [field4], [T]. [C4] AS [field5], [T]. [C5] AS [fieldé],
[T]. [c6] AS [field7], [T]. [C7] AS [field8], [T]. [c8] AS [field9],
[T]1. [c91 AS [field10], [T]. [c10] AS [field11], [T]. [C11] AS [field12]
[T]. [c12] AS [field13], [T]. [C13] AS [field14], [T]. [C14] AS [field15]
[T]. [c15] AS [field16], [T]. [C16] AS [KEY], [CREDIT1]. [field16] AS [$M—Field16]
PredictProbabil ity ([CREDIT1]. [field16]) AS [§MC—field16]
FROM [CREDIT1] PREDICTION JOIN
openrowset (' "MSDASQL" ',
''Dsn=LocalServer;Uid=;pwd="", ' "SELECT TO. "field1" AS CO, TO. "field2" AS C1,
TO0. "field3" AS C2,TO. "field4" AS C3,T0. "field5" AS C4,T0. "field6" AS C5
T0. "field7" AS C6,TO. "field8" AS C7,TO. "field9" AS C8, TO. "field10" AS C9
T0. "field11" AS C10, TO. "field12" AS C11,T0. "field13" AS C12
T0. "field14" AS C13,TO. "field15" AS C14,T0. "field16" AS C15,
TO. "KEY" AS C16 FROM "dbo". CREDITDATA TO'') AS [T]
ON [T]. [c2] = [CREDIT1]. [field3] and [T]. [C7] = [CREDIT1]. [field8]
and [T]. [C8] = [CREDIT1]. [field9] and [T]. [C9] = [CREDIT1]. [field10]
and [T]. [C10] = [CREDIT1]. [field11] and [T]. [C11] = [CREDIT1]. [field12]
and [T]. [C14] = [CREDIT1]. [field15]') AS [TA]
) TO
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Ak, XL JE PR AR P R R T Ay S I B R SR A . ldn, W fE A MDL 3K
5 N C G R PR R R T2 R A 5 O 1 R B AT A TR
IR RE PRI I 2 P4

Oracle MDL ZFF7E TN B Ar b 404 A B Z % N 7 B . 28 5 188 B 90 o 1 3 N =7 B i 2
5 Oracle #BICERHIIEFE SR (#E Oracle Data Miner [ ) . £ Oracle
Data Miner " YEiZl & HoR—ikKER, HoBRE RN 7B (I X

T H bR E BT HET D .

K 4-27

ERERBANFERETNBEFPAETEEZMRN Oracle MDL ElR

%# Oracle Data Miner - Attribute Importance Model : DRUG E]@

File “iews Data Activity Tools Help

MEM o [ Ranking | Buld Settings || Task |
-[F Mining Activities
-0 Data Sources . I
- [ Published Objects ko |—BefreSh | —
E’E Mocels Histogram | & |

[:a Anothaly Detection
fo_l Agsociztion Rules
Efo'l Attribute nportance
L3 cHOLESTEROL

=

L
£
-}, MMDL_DEFAULT 3 Sex |
(5l Classification
B[] Clustering
F-[5) Feature Extraction
{5 Regression Chelesterel I
E]-"E?: Resuts
""" T Tasks 005 000 005 040 045 020 025 030 035 040 045
Importance
. 4
Rarks | & |
Name Rank Importance |
BF 1 0.38103512480
Sex 2 0.0000000000
Cholesteral 3 -0.0110870210

TORREAR 7R o BRI F SR /NI 7 BO T 00 BA STk, LA EE o R

ERRER
> 7R BRI IR A B R o R R A I Bk
> M E O {245 8) Oracle Data Miners
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» EF:F| Oracle Data Miner. A KIFELAMELE, HZ M 82 TifidOracle Data Miner.

» 7& Oracle Data Miner SR, EIT#EE, REEITBHEEL.

> IEFAHKM Oracle B (HAFKEEAE IBM® SPSS® Modeler 45 2 1 H br 7Bt 44 FRAH
FD o WREAT WA A, TP <t E S R IR RG] 2 H AR A,

MDL 48 %) % 157

B 4-28
MDL “4REL” IR

8 REE TR

Euen  ©8m OB

[ RS ELIE

BogTE | | 2]

¥ saEEEE

(| mz |(pErel ms || =m || == |

BBZFR 7R HARel 1D 7B B S R 2 B COR$E5E 2R 7 BUR H 3 42 ik
FERRA) slidiE — > HE AR

Me—FEE. faEH TIENSDUNEMRE AR 7B #l, 1D 7B, W& ID.
IBM® SPSS® Modeler FR g o4 7 7 B Z0 N HU1H -

¥: B& Oracle Adaptive Bayes. Oracle 0-Cluster fll Oracle Apriori Fis4b, It
FEEXSTA Oracle i fS#S 2 %M.

B ESE. (X 1lg) JAH (BRN) 5iZEH Oracle Data Mining Y H ) %3
ZWi. Wk A bHE, ODM H W Z IR BV EHAT T s . AREEER, B2
% Oracle Data Mining M.

Oracle BMHEEM (Al

J& P EE Y H bR S A S R R R I S 25 R OG, AR i 22 45 RN 2

=<h

FE. Oracle J@{hHE ZETT 70 et R HIBEIaC, i SRR E A5 AT Tl 4
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Al BT

BH 4-29
Al HREBIEIN

EdoruG

e RRmE RE mm o e
iR @8z OgEw
[ ERSEEE

[ B=tEEHE

(| ®e vzl me | | =B || sm |

BBZFR AR HARel 1D 7B A S E A 2 B CRIE5E 2R 7 BUR H 3 42 ik
FERRA) sidiE — > HE AR

FERSXEIE. WRE LT X FE, % I0AT 6 AN 2k 4 X i 144 2
WA, FAREFEMELR, BZHE 4 ZPa XA SR IBM SPSS Modeler 14.2
VR R R T

BatfiEgE®E. (L 11g) BH (BRL) 82 H Oracle Data Mining 9 H 3£ #E
ZWi. Wk A bHE, ODM H W Z IR BEVEHAT T s . AREER, B2
% Oracle Data Mining M.

Al % E IR

CHETL EIR TR E AR B bk BB R N T BU BOA B E . AR S T LR ALY
B, CUESM TR SRR E N B . B, Bl DUR I A AL iR A AE

BRI A ok B R ik A v By, DI IX e E . B, BARE N, EWES
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FE | RSE MR  EW e

EEShEE: @ RERFIREE
2
i [F] Marginai | @i | o025
01 [ junimportent | @gp | 04[5

O TaEH =
O sZ#AT =
(| ®e |peFe) ma | | =B || sm |
A I TAT

FACHFFR. HETERIOEE, — & SRS SO T .
3 ST e b T T SR B 3% 0 0 M A 0

BILAFER. HRIEEZEEEE 0 DT BG
BEEMXT. IWEFEZERTHREENITE 7B
AEWMERE, HAR T BUS R BIRE

Al HRBIERARE 7 IR

Oracle AT HERYHLfy “BIAL” TR Bor Fr A HEF FE 2%, JF fovr il id 2
P ) R ME R R T e 7 B, IBAT IR, R R RE R T BONE AR TN .
SN 7T BOR R T . BRI T AT SR 4R 08 IR T, (HR] DUARYE 7 2Lk
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B 4-31
Al fREIHR
EdoruG
Sxv Das
)
. L5 EeR
EI0IE) = =
E=H] T M EEY i}
F 18 K & E Important 0208
[ 2[a] BP oo B Marginal 0192
&l 30 e & T [=] Unimportart 0,033
@] 4/[A] Sex ® T [=] Unimportart 0.0
@] 4/ bl & BB [=] Unimportart 0.0
@] 4/[A] Cholesterol | 5 4T3 [=] Unimportart 0.0
RIETE 2 FTRORAIFEE
‘ H=02 [FHe=02 [*]<01 |

BRI v B PR R AT ) A R R SR HES 2 S R BN, AT Ll
FUbR. B, MR “HEr 0707 S AR IE SR I, SR BN A

S B HE T

A RS o BFR I T BT ) ik B RERAE, AR AR
AR R B AR IE R T B, AR Ly P BUN 4Z R Shift B Ctrl BRIy
JREFE. AXRVEHMEE, WSHE 4 SR REZE RSB A IBM SPSS

Modeler 14.2 ZAEFT 5.

mCREAVEEN CHE”

o XA BT AR E

=18 Oracle tRHY

Oracle A5HL 7R N E R B 0 WiAR 1) 77 305 Hof IBM® SPSS® Modeler #57 (N7 20—
B, M HAER A RBUHA . 2, WAJLEERESR, Wi SPSS Modeler H14:k
1B Oracle MEAYSZRRSG 2 47 6k 75 20308 IR 55 4% LR

C BRI COANEE R B B s AR SRR N T TR
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Oracle HREBRPRFZEEEIF

it IBM® SPSS® Modeler 4% ODM #EAYEIT]7E SPSS Modeler HHANEE— MBI, FHA
BB Oracle FIEZEF I —/MER ., XFh SPSS Modeler #E7Y5] FH #2245 85 -
171 B0l EE AR L I PN %% o SPSS Modeler R 58 454 [A] 1 A B B O B 7 4+ B A7
fi4E SPSS Modeler AEZRIFN Oracle AEEY b 4T —EMER B .

TS Oracle BB SCHE T 747 Bf WoRAE “FI AL XpfHE B ALE B A1 F .
SPSS Modeler MMM J4t 775 7E SPSS Modeler AR “RSS 88”7 &K FERN
wmExgy (REERFE)

R “HR4 287 JETR LRy R $&H, T TR SPSS Modeler A&7 A ()4
R Oracle B BICH . WIS Oracle FPICvEIR BN A FRAHF AR, iH i
RICHEFAICUHES, W Oracle BRI BREKTE SPSS Modeler #5874 44 % J5 B BT M 22 .

E kR 4-32
Oracle #RAVHRAR & EFIXIMFIEN
E4 FIELD16

i:,. File *{‘_} Generate

-

S

oo, =
PR

Server || Summary | Annotations

Oracle Connection: clemoa@! 1gora | D

Madel GUID 250372009 01:50:06 [ field1 6 J Check

=

Oracle FREHC BiEINF

RERIER B8 IR ER TAHRBK FIEE: BAAL (OH) « BA R
7B (FBD « WEBHEAR®E (WERE) A% GISGME .
MR T S, YR ERITR G R B RN . EEE BG4S,
R, AEHIUE MM R ETFIE, ifhsBRFiuElEragSER. BAE%
R B RS R, VA R R IR S AR R B R R, B i min s
T K B A 45
Sir. ERTRERMAERGE . WROHATHINENZBI S E b A, WIS ST
W BRBEEIRERNERE. AXRIENAELR, ESRE 6 HHMaNT S i IBM
SPSS Modeler 14.2 J&. ifFE A% H T A .
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FE. YA AR H AR AR B B
WEGE. UHARAENEREAHEHNRERNES.
ST, BoRBRRM . HI TR AR . B QI . R by i 5 U [h]

IR TR Ay 228 BT FH IS [] o
Oracle HRBIHRIGE EINF
FEARIEL ) “ W B RIS oE E AR s b Rk I E LA RS B Y.

Oracle RIEH

ERRFEBK. FELGA Oracle REBEMBIR PR RIKL. HRHEH
FR, WESRE 52 TR EHK.

MU 10, WORER GEFD , CRHFRRAFSIAINE] Oracle REFMABRI . HLNFR
TRRFAEBEAT R R I% 20 BB AR 04 5

Oracle NMF
BEREFBYSME. WRER GEAD , BRI IERRE 1D MEFEE, mARNAE
Oracle NMF #5720 i SR B AR RS 1E RRAE 1D FIEAS E .
HIH Oracle A
“FIH Oracle Data Mining B ” %8 T /G 8 — NXUEHE, 1 ZXHEHE S B BLA £ s

PERERYIF SO VF IR A o e IR AE P L “ Al BN AR 7 7 WS AHE R 3, AT Bl
ODM SRR Y s A9 o 0 B R N2 0 5 A 5 3
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Oracle “FIHIEAL” IiFIE

Ed List Models

ADAPTIVE_BAYES
APR

APRTA 0310172008 02:57:52 § APRIORI_ASSOCIATION_R..
APRIORI 1103072008 03:17:52 7 APRIORI_ASSOCIATION_R..
CHOLESTEROL 110302008 07265537 7 RN _DESCRIPTION_LE. .
DANSDRUGSDT 170202009 05:43:21 /Drug  DECISION_TREE

DECISION_TREE
DECT

DROGLE 0810152009 0813511 [ Drogue SUPPORT _VECTOR _MACHI...
DRUG 210852009 034556 f bAMIMUN_DESCRIPTICN_LE. .
31 110352000 08:53:45 [ fieldy  DECISION_TREE
DT1A 02012009 025751 fBP DECISION_TREE
DTaA 02012009 03:45:03 fDrug  DECISION_TREE
DTaA 09012009 034331 fDrug  DECISION_TREE
FIELD1 270252009 10:37.30 1 hRIMUR_DESCRIPTICN_LE...

090272009 06:15:56 fDrug
110372008 07:04:26 7

260372009 07:45:19 /Drug
160272009 06:35:34 /Drug

ADAPTIVE_BAYES_METWY..
APRIORI_ASSOCIATION_R..

DECISION_TREE
DECISION_TREE

Server: Local Server

Database connection:  clemogad! 190ra

hodel Mame hModel Infarmation |n-10de| Type
A4 0840142003 07:55:57 /1 #Efn MAIVE_BAVYES =

25 A8 080142003 074554 /R MAIME_BAYES

AR 111032009 06:53:34 [ field3 | ADAPTIVE_BAYES_METW...
AB 10/02/2009 09:3%39 /Drug | ADAPTIVE_BAYES_METW...
AE1A 100022009 05:57:29 /Drug  ADAPTIVE_BAYES_METW...
AE2A 1000202009 058:55:20 fDrug  ADAPTIVE_BAYES_METW...
AEIA 100272009 05:55:59 /Drug  ADAPTIVE_BAYES_METW...
AB4A 100272009 09:00:14 fDrug  ADAPTIVE_BAYES_METW...
ABSA, 10/02/2009 09:01:15 fDrug | ADAPTIVE_BAYES_METW...

El

Fetrie\red model details from database server:

R R BB LR S B

m REZR.
n REER.

R AR, T X9 R AT HE
R SCBEAE S, Lhany s H 31/ 18] A0 H AR 51 44 5K

m RRBVARE, MR SR AR

Oracle Data Miner

Oracle Data Miner #& Oracle Data Mining (ODM) I Him, FHE/CLART IBM® SPSS®

Modeler [ ODM FH /" 5T . Oracle Data Miner BEIRE DI AREFH ODM B hH

IR % . 1% H AL PLT 7 AR S

AR R e RIS A B v A R R VR R B R vk A T T i B 2 5B . Oracle Data
Miner JEt$E4Ew] 5] 5 N H A F IE 6 7 vk 22 R8s 2 P e, o bb P /oK

m Oracle Data Miner SRR G $2 4L 3t AN R DRIRTE, vfe e B AU AN 4% 4 ik
B R RE R LR m T .

ENX Oracle Data Miner %i¥

» Oracle Data Miner WEIIAEMIMAN) Oracle #1783, WiEL)E3) Oracle Data
Miner f%40 N 7 5 Al HY X 1 AEE
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EE 4-34
BEh Oracle Data Miner 3%%H

]

WRIER G E R “HBINHFER” %I, W Oracle Data Miner [H4m#EZEEexT IS HER7E
Oracle Data Miner 4N FHFET 5 32 Bl &/~ 75 H 7 HI AT
R XTI E A AT B 8 SUEZE AR R,

BB 4-35
Oracle Data Miner “MREEFEIE" FHIE

7#*Edit Connection i x|

Connection Mame:

Connection Settings

User: | clemdey |

Pazswward: | |

|:| Save Password

Host: | Incalhost |
Part: 1522 |
sID: |oRa |

m BEft— Data Miner EZEAFRHH A N H] Oracle 10gR1 B¢ 10gR2 R55#:15 5 .
Oracle AR5 25M 5 SPSS Modeler W¥8E MRS 28 —FE.

Oracle Data Miner FIEFEZEEXTIHAESEMLH T48 2 8 WA (BL BB d e LHD
R AR E T .

B 4-36

Oracle Data Miner “i&IFiEIE" FRIE

Choose Connection x|

=2 0racle Data Miner -

Select & data mining server connection.

Connection:  |test = ]

[ew...| [Edt..| | olete

*F Oracle Data Miner F3R. ZIEFFFH N IEHE
B, &M Oracle Web ¥4/ FAJ Oracle Data Miner
(http://www. oracle. com/technology/products/bi/odm/odminer/odminer install 102.htm).


http://www.oracle.com/technology/products/bi/odm/odminer/odminer_install_102.htm
http://www.oracle.com/technology/products/bi/odm/odminer/odminer_install_102.htm

B E 4-37
Oracle Data Miner AP RMA
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retch Size[100 | retcn et | momean | Mames: T TTRONGIIINNI_FT i
= leust o] co_purven] ace [mamta | aseasa_pof o | .'.I |
ez o 51 Married 90624 1o LELE 0 L S|
163 o 48 Mared 11574 K j 107 B |
164 1 48 Mared 189S o | Hrt s = Actus), Columns = Pred
1es 1 0 Maried 2000851 I3 4
w0 3 HeveM 230419 5 | bromPostive Rabe:  lasyenzame |
187 o £1 Sepa  JIT4E B oon
168 o I MevarM 11305 £
we 0 71 mamd 205001 ]
170 o n MeverM  TIIETE “ 04
(L M Maned 227 &
PRI T F B 45 Deewe, 148549
- inpipies o | TR M0 MeverM  azT0R a3
::’"‘ -""r‘r‘-l’“”‘w“ ﬁ"“;':: Er " 27 Mamied 140063
= oo rereonan] llo7s o N Sepw. T b
oo hrs 1 41 Married  HEES () @ a4 0 ea
- m ascomeurereseTi =l L, g B Heverd 86688 i e s
L 178 L] o8 Cowonc Ll
o I MeverM 3842 Area Under Curee: 0L8T4 241
o 36 MeverM  2N28%
o M Marsd  209TM Robed Faze: Posiive Coat: |1

Positve | Fales Mag
207

pheciod atiri e

Tiee | Rosuls | Duld Seitings | Task |
siscwa [ Sanrer L Gty crcrmievets | #15] 52| 57 | Deta Sorce CBERGER CO_BLVERS T =l
Hode 10 [ Preakam _|Preccseav. [comteence [coases  [suppon |t e
=0 e o 07800 1,804 1.0000 Histogram for:AGE R
=1 RELATIONS S 18 in | Fasgoang | 0 0540 aa 04534 Seple court 3000
=F} PAYROLL_DROUCTION == 975 0 0,708 208 oresy 23 R
12 PATROLL_DEOUCTION = 605 0 0804 11 LLTH Ta5. 318
1 PATAOLL_DEDUCTION » 685 0 07027 185 LKL ¥10-508 e
=3 PAYFOLL_DEDUCTION * 975 1 05942 520 02862 i Avarage vabor: .5
=] AV _CHECHING_BALMICE <= _ 1§ a8res 124 00608 0. 83 Sartara e
15 [ CAPTTAL_OMiRd aw STISS o 07328 118 00843 Sk g e
16 | CARITAL QMR = 57155 1 10000 10 00055 2 s
AVE_CHICHING_BALANCE = 1. 1 g ap-e08 o
GECUFATH 7 Coene, 1 1 00 e Huriosis D04
cat. 7.4
Yo sa¥
ey
........
a e e 300 4o s o Too
i Count
- Ceroam “Whiea) Bntowt | SotTos | Erpusl Vet
T T 2 = D = =
e et i 3-HA 527 L 1
CCARRATION iy i [T Cierke. Comnin Farwing Haedier Fouss -3 Msohiog Sier Peotes. Seies Teorfun Traeap | ARD - NA_wa =y a1 - Graph crisnbation:
:‘V! twl&m:{, o 8, - WO, 482 . 0 | Vertosl
RELATICNTHP 2 n { PesbardAtte | 4 3. 535 wa 1237 = Horortal
: .
Preccass | (Tanpee Vabns | e Lt g

EERIE

{§iF] Oracle Data Mining #3EM) Naive Bayes. Adaptive Bayes A1 Support Vector

Machine SREBIF, W] LA FH 7 A 28 2Y i 50 s v 4%«

m K, XN T RIEESE SRR RS, R S T B B o T 2 (00

] 1?#%;[2 R B T H e ) e e, DA X e iy B B A SRR s R AN
N o

BRI

IBM® SPSS® Modeler [ “/r2” i SR MEHAT 0 BRI TR 75 ¥ LT v
T — A Z AT B 2K E . e dase EHAT o G, NPk B & Ils SHE I e
VrB % SPSS Modeler HJ “YRAE” T9sl. “URAE” ERAERTH:4 Ry SQL FFA5E 7 44 2 A
PERIHE N o B v AR R AT 0 2K “URAE” WAz BB R, H
FoVF 2 AN EARAT 45 582 A FH 40 2R .

RER

FI/E Support Vector Machine %Y [¥)% N 1IES: (Fru ) - BN 7E 1) 22 15 iy
HEATARUEAL o W S B VB TRY,  DUJOAS A 200 s S b AL, DI e A TR iy N B 7 ) 2 9 4 25
Ko SWM ALY B TiE$E z-Score. miEZE k. BT Oracle MEFREI REE Y
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WA — NP, X RBOE W B E] SPSS Modeler FEARAIEALTI R, N H
B, XU RFOK LN SPSS Modeler YRAEFRER, FEH TS GEoREHKD
i, ARG BB B s, bR S AT 55 R SRk

Oracle Data Mining 7%

B |

AL TREAW, DL R WA #E IBM® SPSS® Modeler Hifdif] ODM. iX&&yfifrT
\Demos\Database Modelling\Oracle Data Mining\ H3& F#J SPSS Modeler “%%&
e,

FE: ATLLA Windows “JFUR” ZE SPSS Modeler FEF4HH 17 1AiIX ¥ Demos L3,
PR FEA VL 2 204 e 2 i R s B, 1@ id A Oracle Data Mining $24Ef) Support
Vector Machine (SVM) %%, MK F X 6 R A .

i x:

1_upload_data. str %;@%iﬁﬁ*ﬂ%iﬂlﬁ})\?ﬁiﬁﬂ:ﬁﬁi&
2 explore data. str AT SPSS Modeler #5452 i 7= B

3 build model. str K B 2 B SR R

4 evaluate model. str HVE SPSS Modeler #2434 i 7 51l
5_deploy_model. str B & T s e A PR A .

TE: BOBATMORBI, A AHZ BRI AT S AN BRAL, A U RN U A AU A
T R, AR AR A0 08 P A O 8 s it s 51

TR R KBRS E R BRI, R R A 4 AN IE S 10 A2 & 1

K. RTHEREMNEZE L, BESRARGIRA FR—XHIETFH crx. names X
i N A

ftp://ftp. ics. uci. edu/pub/machine—learning—databases/credit-screening/ M)

UCI Machine Learning Repository H13k45.

L& B
Bl 1 upload data. str 75 P 1 SO A AO Bods HokE 2 B33 Oracle.
E R 4-38
AT EEHENRER

-t @ i, -3
== =i 3
) » QY »C) Q0 0 — s

credata Filler Partition D Type CREDIT

T Oracle Data Mining ZEERAME— 1D FB, HILVIETET 1BU® SPSS®
Modeler fJ @INDEX BE¥, i “YRAE” S R FBAR MBI LA 1D HKIEHE
£, HE—EN 1. 2 Ml 3,

CHT” TS TR, FER IR erx. data EEEU S FEUES
3y NULL 1H.
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U3 -

AR 2_explore data. str A7 W] A5 P 00 B A% 9T RORICEAE. (BRI

MEGHEMER) 1— K. FREHER, ESHE
IBM SPSS Modeler 14.2 V. A0 %mH 35 &

BH 4-39
BIREZER

6 FF AR B AT SR

Data Audit of [15 fields]

laFile [ Edt {0 Generate

e

Field Graph Measurement Min Mz Mean

@ tield3

[&] fieldd H &5 MNorminal

[&] fields &5 Moriral

[A] fiewds

&)Nominal
P E

[A] figla?

:

&) Mormiral

y Continuous 0.000 23,000 4739

& tields & Continuous 0.000 28500 2223 (&
n

¥ i —————

IF

1 ndicates a multimode result  * Indicstes a sampled result

(o]

Xy “ Kot H A%k s 7 B AR oR — AN EONTEAEE, H T ERA MR R 4

E T B
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K 4-40
BEXE “BETE&” EONENESE
m Histogram of field3 g@
i@ File |[SEdt ¥ cenerste  &F view | 8 ﬂ
e s g
o-
-
150
E
=
G100
50 --
o
field3

IR WEER

O3 AN, B 3 build model. str, Wz~ IBM® SPSS® Modeler HHAIALMIMIZE ., XX
hBHE FEYR T A bRy N CREDIT) DAY R IR . EfR e MWE R E, 15X A
CEeWIbRE N CLASS, #58 E B I8 J5 1% 88 8y FIELD16) o

Elh 4-41

BREEERGIR
- B D> —r@g
CREDIT Type Select CLASS

FEXTIRAER “REA” eI |
> BALRIEFEE 10 A uNE— B
> tRIE N R AL, B 2 Bl bR T k.
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Oracle SVM #&E!%IR

L2 FIELD16

=i Ess TR tx e EE
g @om Ogxk
¥ RS EEIE
- P ID
W BaiEEs
mEEN. OgA @eR
i @#  Oml O Emess
FEkEE: @@y OfMegcE OF

| me |[(p=Erel| ma | [ mm | == |

OIS TR

o4 Donli, Bl 4 evaluate model. str, JE NI EEEIE FE N AL AL IBM® SPSS®
Modeler FIL s . — HPAT5EREAL, BI AP & E B # - # H SPSS Modeler
PR 2 Fh T B SR IEAL R A,

B E 4-43
FAF R B B9 TR B5R

) @ — o — X

CREDIT Select FIELD16 Analysis

EEEREGR

Yo AT ST N B B B IR FE 45 R . $0-Fieldle FEERBANMWNEH fieldl6 1M
{8, T $oc-fieldl6 B % I ) B A5 1A
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AACEATNEXEENER

{£F Oracle Data Mining HEHIEEREE

[E Table (20 fields. 342 records) L.J@Bﬂ
lob File = Edt ) Generate (@] x]
el 2 | fiele 3 | field14 | field15 | et 6 | Partition |ID | $0-tield1 6 | $0C-field16 |
1 g 3 o - 2_Test.. 454 - 0418 i
2 g 0 352 - 2_Test... 456 - 0418
3 g 240 0 - 2_Test.. 458 - 0420
4 g 160 0 - 2_Test... 460 - 0819
5 g w0 - 2_Test.. 463 - 0819
B g 20 18 - 2_Test... 464 - 0420
7 g 20 5 - 2_Test.. 471 - 0420
8 g 30 1000 - 2_Test.. 474 - 0819
3 g 20 5 - 2_Test.. 477 - 0819
10 s g1 0 - 2_Test... 430 - 0819
11 g 240 35 - 2_Test.. 431 - 0817
12 g 80 @0 - 2_Test.. 482 - 0419
13 g 128 6 2_Test... 484 - 019
14 g 0 351 - 2_Test... 486 - 0822
15 g 180 1 - 2_Test... 459 - 0822
15 g 333 Bm -+ 2_Test.. 491 + 018
17 g 520 2000 - 2_Test.. 492 + 019
18 g 400 + 2_Test.. 494 + 0a17
13 g 240 0 + 2_Test.. 495 + 016
20 g 160 5@E0 -+ 2_Test.. 497 + 019 =
Ell e ———_" |
P R R

FTUAME R o7 =0 G 1 W RS T 7 B S e s 7 B 2 T R DT R X K A 5 48
o BAT M AR SR
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BEASMERNBXRERN “OF EBF

@] Analysis of [field16] =]

Aralysis u

Collapse All Expand Al

E-Resutts for output field field16
B Comparing FO-fisld B with figld16

i |Correct 288 94.21%
.| Wrong 54 1579%
. | Total 342
E--Coincidence Matriz for FO-field16 (roves show actuals)
i +
e 137 14
40 151

(o]

ZRKE R Oracle SYM SVEE AT 84. 21% & IERAHI .
TR DAGE FH PPAS 5 r BV s I 3R, AR R B R E R R 3 . 847 PR, 39
DEFELR.
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B 4-46
BEEHAEREESNHEXEENKEER
Evaluation of [ $0-field16] : Gains M[=1%<|
s File | Edt ¥ cenerate  &F view ﬁ.}m W .
100 - : :
: i $O-field1 6
50 : 5
£ 607
) ' 1
L] i i
£ 40 : :
20 ; :
. —
1 I | I I
0 20 40 60 80 100
Percentile
field16 = "

w~BlE: MEEE

— EOGH AR AE A R B, RO AR B, DA AR N R A R R A B B
PePRE, fEHJE— Nl 5 deploy model. str o1, M3 CREDITDATA iz (%K
2, SRIGIHHH PR N B M7 21 Publisher 7 S0 EOEEATIESY, B EUE K
4 #] 3¢ CREDITSCORES.

B R 4-47
HIRERRRGIR

-t
©—n—

CREDITDATA FIELD18 wlw salution

| S—

Table

BHFREMEE, ESEE 2 &P RIIBM SPSS Modeler Solution Publisher [T 4E & ¥
HH I IBM SPSS Modeler 14.2 fRUT REAE .
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IBM InfoSphere Warehouse

BITHIRE RS

IBM InfoSphere Warehouse #1 IBM SPSS Modeler

IBM InfoSphere Warehouse (ISW) #&fft [ — RFIBIEIZIEF L, KEFILIRALE [BM
DB2 RDBMS . IBM® SPSS® Modeler #ELAIH M Fr 5 N%] IBM HiEHE K.

N Rl
SRR AL )
UNEEZRa e
Kohonen %2k
JF 10 0]

g =]

A EYE!
EQUIEINE
Naive Bayes
Logistic [A]14
IS 8] F 31

A RIZLEEFREAE R, W2 H IBM InfoSphere Warehouse 723 Hf #) 3CA4

&k InfoSphere Warehouse HJZEK

kLW:IE{ffﬂ InfoSphere Warehouse Data Mining FHAT EUHE & N B A 0 £ 261 . 17T
R 7 22 U B A A DA DR R X S 2
m 7f Windows BY UNIX [ %3 IBM® SPSS® Modeler Server f5iz{T IBM® SPSS®
Modeler.
m  [BM DB2 Data Warehouse Edition Version 9.1
&
IBM InfoSphere Warehouse Version 9.5 Enterprise Edition

EREW N TR DB2 ) ODBC #t#E Vs .

VEE . B EE A SQL LAk 75 2EAE SPSS Modeler 4 ML F 2 SPSS Modeler

Server #E#. H IR E, 0] LLys ) $ds 5k, BE4EM SPSS Modeler [A]i%
SQL DAL vjiiH] SPSS Modeler Server. HIGUEZ4aTF Al iERIRAS, W61 SPSS Modeler
B “H#HBh” R RhxF. AREMER, ESHE 3 =PHHIERS] IBM SPSS
Modeler Server ™ [fJIBM SPSS Modeler 14.2 FI ) 38FE.

Copyright IBM Corporation 1994, 2011. 92
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B InfoSphere Warehouse HYEERX

vV v v v

R A IBM InfoSphere Warehouse (ISW) Data Mining ffJ IBM® SPSS® Modeler #E
W, FEEE ISW, 6J# 0DBC ¥, J5M SPSS Modeler “#iBhwi LT il HE
FIEE R IhRE, FFJEH SQL A k4L .

BLE ISW
L BE AL E ISW, %M InfoSphere Warehouse 223538 g Ui B AE .

79 ISW fJ# OoDBC &
B S A ISW A1 SPSS Modeler X [AJf)ZERE, BT EAIE ODBC RGEIEIRAZFR (DSN) .

QI DSN Z |7, ERi4%E ODBC BdEJR FIERSIAE T, LA SPSS Modeler i % ¥
FEXRRREAR TR AREMELR, ESRE 2 P a8dEvs P rIBM SPSS
Modeler Server 14.2 EHIEREIEF .

5 IBM® SPSS® Modeler Server Fl InfoSphere Warehouse Data Mining i&4TTEA
B ENL L, EESNFEN LEIEAHFE ) ODBC DSN. #f R &4 FHL L AX 4 DSN
A5 A AH ] 1) 44 FK

2% ODBC URBWFERE . #E ] fEBE ML RRUAS i 45 i) IBM® SPSS® Data Access Pack Z23E#% |-
WEB XK FEF . I81T setup. exe AFLLRBYZHEEREF, FHIEBFHTH LM K02
7o $5 085 S Ul B4R A DL S IR B RE P .

Big DSN,
EE SR ERAHRS T ECR T Windows RAS .
B Windows XP. M “JF4R” ik FiswimiR. WHEETE, A5 XN d#3EIE (0DBC) .

B Windows Vista. M “H4R” bk PFEmmin, REEFERG®H. MhHgET
B, %&¥%4E;E (OpBC), RJGHTHITH.

m Windows 7. M “HiR” R ikFmsimy, EHFERgnee, RAGEHFerTa. &
PeguamiE (ooBe) , ARG HLTH .

Hifi &g 0N IETTR, SRS HdiRm.

EFE SPSS OEM 6.0 DB2 Wire Protocol IRXZNFE/F o

s .

76 “ODBC DB2 Wire Protocol IRZNFEF#E ™ XHHAE

T 7€ L TR A4 PR

P IP Huhb, EFHE DB2 RDBMS P45 4 M EHLA o

P2 BN TCP 3510 (50000) .

i 7T BT 1) ) A R

> R ERE .
> TE “% 5% DB2 Wire Protocol” XFiEAEH, i N B4 B R R 32 LA s i H - 44 i

W, PRE R HE -
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M & BonEgEe s HEE.

IBM DB2 ODBC DRIVER. #15:%:ff) ODBC XZNFER/& IBM DB2 ODBC DRIVER, i&#%HE N
5125 5414 ODBC DSN:

7E “ODBC #(#EJEFEEE” b, Hd7&% psN LR, R)5REHRm.

%% I1BM DB2 ODBC DRIVER, #RJ5 PAHhsem.

fE “IBM DB2 ODBC DRIVER—¥SIN” & Irh, % NEEIRZFR, SR )G N\ B0 & )
%, BERm.

fE “CLI/ODBC & B —<H¥mIs A Fr> o M B “Hdiis” ami-k b, f N Eds e B e
HEeh A P 1D &S, SR Tep/IP JETR .

76 “TCP/IP” &I L, %iA:

BRI B

BHEEN S BT NAADZR

BUE B 1 R S5 AR I =ML A

ZIER R .

MG ReRTuA TR, EFEERSEM (%) , REEZINEE (ERRSELN DBY
MEHHSHIIEE) .

M BERIERE TR, AR R R

BE B 25 38 7 IR B o ) U S .

BEEARTFRI% 0DBC (FIi%)

BRI K AR )N InfoSphere Warehouse Data Mining 7524, FFf#15 SPSS
Modeler REMEHUHALIAMAE, 1% FADPRME A L — 3 aIE K ODBC HEis. 157
B, MWRECESDIRME SPSS Modeler RS ELHL AT B A IE I FH: A AT F5 55 /b HR 3R AC B0 Hs
FETT DB2 Bl Gn Sy B o i A SCE B, T RO R R .
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“ODBC DB2 Wire Protocol LRFNIEFIHE” MiFIEM “SR” EIIF

ODBC DB2 Wire Protocol Driver Setup

General Advanced |Modify Elindingsl Failoverl Aboutl

Add to Create Tahle: I

Alternate 1D: I

Catalog Schema: I

Default lsolation Leswvel:

2|

Help |
Translate. . |

Character Set for CC3I0 BRE3R: I

Feport Codepage Conwversion Errors:
[v Application Using Threads
[v Use Current Schema for Catalog Functions

[ “ith Hold Cursars

IU-IgnDre Errars

[

Test Connect | (B4 I

Cancel |

Apply |

SPSS OEM 6.0 DB2 Wire Protocol IXENIEFF.

B0 PR AR -

%+ Connect ODBC IXFNFEF, 1HIX N

Ja% “ODBC BIEJREHEE” , W L halENEBIEIE, R hmRE L.
fE “ODBC DB2 Wire Protocol IRZhFEF W E "~ XTiEHEH, FREBIET K.

H BRI 25 2% ) ¥ B N 0-READ UNCOMMITED, ZRJ5 #dimzE .



Bk 52
“CLI/ODBC & E” IFHER “SHEE” B‘IF
CLI/ODBC Settings - DB2_IPTEST_IBM

Diata Source  Advanced Setings |

Select a parameter to change its value.

CLI Parameter | \/alue| Fending Yalue | T pel Description

4

Hint

See the DB2 Release Motes or Information Center for information on this keyword.

(0] | Cancel | Apply | Help |

IBM DB2 ODBC EZhFEFRF. X T IBM DB2 IXzhFE/F, &% T 45 RERlE:

> J3%) “ODBC ¥ Tes” , & L —Whal@rEdEE, R hRE .
» 7 “CLI/ODBC Bt&” XiEtEF, S EZEBETIR, A Bdimizd.
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Bk 5-3
“CLI/0DBC &#” IHIEHE

Add CLI/ODBC parameter ' il

Selecta CLI/ODBC parameter

TRACEFLUSH :|
TRACELOCKS

TRACEFATHNAME

TRACERIDUST

TRACEPIDTID

TRACEREFRESHINTERVAL

TRACESTMTOMLY
TRACETIME
TRACETIMESTAMP
THNISOLATION
UNDERSCORE

UMNICODESERYER
USEOLDSTRCALL
-

WARNINGLIST

Hint

Setthe defaultisolation level. This keyword is only applicable if the ;I
defaultisolation lewvel is used. Ifthe spplication specifically sets the

isalation level for & connection ar statement handle, then this keymword will
hawe no effect on that handle.

[
(0]:4 | Cancel |

> {E “YRIN CLI/ODBC Z:3” WHFHER, HEFEZEL TXNISOLATION, SR )5 e -

E & 5-4
“TRERA” JIEHE

Isolation level il

@ Read Uncommitted (Uncommitted Read)

~ Read Committed {Cursor Stability)
{~ Repeatable Fead (Read Stakility)
(~ Serializahle {(Repeatable Read)
= Mo Commit

Maote: the term in parenthesis is the IBM equivalent for SQLI2 isalation levels

Default I (0] | Cancel |

> T “FREHAN” MEHEF, #FE Read Uncommitted, FXJ5 H-dim7E

» fE “CLI/ODBC % B ” XiEHEH, HdimmzEeiAilE .
iG1E =, InfoSphere Warechouse Data Mining #%5 i = i~ N T 71 #& 2K

<ITERATIONNO> / <PROGRESS> / <KERNELPHASE>



ot

Horrs

m  <ITERATIONNO> FR/nHHE i Y ar b 2k E, M 1 G,

m  <PROGRESS> FE/RNYATEARHIBEEE, N 0.0 B 1.0 Z [ HIEF.
B <KERNELPHASE> i #2 4 4 2= 24 iy AT Ab iR B B o

7 IBM SPSS Modeler Fh/ 3 InfoSphere Warehouse Data Mining £ERE

F{§i SPSS Modeler fEWE¥ DB2 AT InfoSphere Warehouse Data Mining, B 4cbZfE
“EEBhN HFE 7 GHEHE P FE E — ik I,

Bk 55
“HBN AR EER “IBW EIF

G#msEEs

PASW Statistics | Oracle | Microsoft | 1B
[ ER InfoSphere Warehouse Data Mining £258

DEZ 3§ | D

[ B InfoSphere Warshouse Data Mining HEEET & s

=

[of E&h InfoSphere Warshouse Data Mining =104

LR RN TSRS | @

] BB Infosphere Warehouse Data Mining THREEER

1

» M SPSS Modeler 3ZH.rpik+%:

TE > &In > #WNBERF
B oM ETR.

B InfoSphere Warehouse Data Mining &Rk, Jo AU FE @ LR AR Can S ok &
AHIAE) , N ISW Data Mining Integration HyEVRINZBT &, HAPBEFERIER.
KEe. FH. ERMMEIH. (BHZE, HiEDCE S AN A —E/RT7E SPSS
Modeler & HBIEH. D

DB2 EiE. 5 H T EM A AERE A ER N DB2 ODBC HdEii . 78 BN 7R g 4 R A pl
IR b, bW E DI, Bilianss () %4, EBEEIEH.

T B R 50 e s e vl LA S F T U M BE B A0 R, BT OARHI R . B, mrLf
XFE—NAL, IV A DB2 U i BE, B EE AR SPSS Modeler HEAT
EHE AR, ARG BB B LA A A DB2 BUEEM T @M. B, JRIGE
PRI RE 2> IF B 70 I SOk s oAt (JE DB2) Jsirp, X PP T F 2 4 50E F#i 3] DB2
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HTaE, EaEER T, mERFE, HEEHE a3 LB EREEP &, HT
EER— IR,

7% InfoSphere Warehouse Data Mining SEpRARBURT & &L, L ik, THERE
ERBESEN T, BlEESFHEIE A 28 SPSS Modeler 7 .

FIH InfoSphere Warehouse Data Mining #&&!, ik Mk Wi vl 1) A B A7l /£ DB2 +F
PR, BRFEAEE, ESRE 102 505 5 R,

BZh InfoSphere Warehouse Data Mining AI#R4L. 45222 1 al M4, U420 7E it
A JE A A se T SPSS Modeler.

AR RITCERER. A B PAT SCf (e ze ) AL E, Bl
C:\Program Files\IBM\ISWarehouse\Im\IMVisualization\bin\imvisualizer. exe,
e TREEEER. B 7% M4k Flash

W (e %) WAL E, #lan C:\Program
Files\IBM\ISWShared\plugins\com. ibm. datatools. datamining. imvisualization. flash 2.2.1.v2009111

BB InfoSphere Warehouse Data Mining Power &I, &R DL&T S E04E JFE N 1254 507
W N A RS, Chan 247 T2 O R 8 48 8 HA T Sk . @ A7 RR ), m]
DLEE I A AT &, A IThBRIE I -buf $EEfE. HAhDIREGE D 0] LALE b Ak Lhay 24T T2
IR E, FH1%i# 3] InfoSphere Warehouse Data Mining. B RXVEMEE, iE S
35105 DU ThAEIE .

& InfoSphere Warehouse KA. 1 & 4 Hjf A InfoSphere Warehouse FJRRA, U0
A A0 Y BT A IR B R 2 98 Thag, iR 45 85157 .
BHR soL £tk

M SPSS Modeler ¢H.Hpik#%.
TH > &R > AFIEm
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> Rl IEIR .

> AR ORI soL T, ZAEHE AR R ORIEMR N, Wik E RN HI.
> kT soL E R E AT (AR AR TSR ZUHERA A AT, DAREPRRESEAL) o

AREMELE, HSHE
JOAR

12 &)k Bk TR (9 IBM SPSS Modeler 14.2 H

£ InfoSphere Warehouse Data Mining #4JiEiRAY

InfoSphere Warehouse Data Mining A& Y447 T | 5 dE £ T DB2 #¥E E 1R B
MBI, WRBEATE DB2 h, BT BEAE AR AR GZd VA AE DB2 Hift
17) —3 50 7E 1BM® SPSS® Modeler HHabATALEE, WIZEHE & /E B M 2 2 B/ B 3l

33 DB2 B — IR R .

RS AR E

FERE G & K AELE DB2 WED, F3FH InfoSphere Warehouse Data Mining #47T. SR
AR B B F 2 IBM® SPSS® Modeler WESS, W AJRE 75 ZK Hd 42 b2 2 if 3% .
Xt F SPSS Modeler HR R SEAT . [B] VA0SR RARTY,  — 5 BRI — AN T DA Ko 9 BBk 1) Mk
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FHEGEE. Wi, HTERGNTRSGERMEGEMHEED (5 logistic HIH
HRRIE TR AR “ B EIIR BT AR EE T (BEREXNEREE
HIEHNE) o KT SPSS Modeler A1 [ISCEABEHANF BMEE, H L AME T fLiEHE. SPSS
Modeler ®JLAX} InfoSphere Warehouse Data Mining AR #3E4T1E4y, 1ZAEL K B 16 H
IBM® SPSS® Modeler Solution Publisher HEAT &7 CALIAT IV

NI B PP AR R A R

= 5-1
REFESFE
Rty =yl aX
5 B $1-field fieldfym LT
$IC-field field i A TRI 1) B (F
$IC-valuel, (Al ) fieldN ANTJfg
$1C-valueN {Eﬁij*/l\ﬁfﬁﬁﬁ 1B AF
EfE ST-field Fie 1dFf 5 £ M -
$IC-field field AL TN 1 E A5
XK $I-model name %ﬁaﬁ)\iﬂ%%%ﬁ%%%
$IC-model name N F R AR A
FIEEE,
KK $I-model name /G FC B0 0] () R 7
$IH-model name LIiH .
$IHN-model name SLIH B4R .
$IS-model name UG B H I 11 3 718 o
$IC-model name DG C KL 00) ) B 15 A -
$IL-model name DG C K0 0] ) £ FHE -
$IMB-model name NGNS R e N =
LEMEE (HFIE &
T B B 3= 4R 0 H 4 4R 06 2
UL HME AL, Kt
85 R0 B 8¢ 36100 H
EMBEME .
7 %) $I-model_name D PE R0 0 PR A R4
$TH-model name G P A0 00 ) Sk 301 H 45
$THN-model name TG T2 0 ) ) Sk 0 H 4+ 1)
i B 44 R
$IS—model name DG C K 0] 1) =7 7 {8
$IC-model name G Fic A 00 1) BB A 1A
$IL-model_name UG 72 A ) ) 2 1
$IMB-model name VG 3= AR 00 H 8% 4R 0 H
EMEE (HFIE &
T H B AR 31 H H #8420
AL, Kt
B 5 F R0 B 8¢ 34610 H
LR FEME
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HERIKRAY B3 aX
Naive Bayes $1-field Tield &L .
$IC-field field ) e M B E
RE
Logistic [a]14 $I-field field I LT o
$IC—field field i =TI 1) B (5
B

=12 DpB2 RE

i#id IBM® SPSS® Modeler ¥J# InfoSphere Warehouse Data Mining fEAY<=fF SPSS
Modeler H@IZE— IR, SRIGLE DB2 Hd v 61 i — AN Y Bl %5 e oo — M4
B, 3XFP SPSS Modeler HE7Yn 5| FH H i 2 Ak 55 2% L A7 Aif I £50 4 E AR R ) N 4% . SPSS
Modeler ] i i ¥ 5 4 AH [F] 1) A RS 70 OC B 7 F 45F BR A2 76 SPSS Modeler 45714 Al
DB2 AR s HAT — B EA A .

I DB2 RIS A7 R AR R AR P BE EE AT SR HE A ELAE S B
. SPSS Modeler 7[5k 7 777 F.on A SPSS Modeler Y “fR4%4%” Tk L
f) “RERSCEE T RN SRR .

“Rr A FREH T TR SPSS Modeler YA DB2 4557 ffy 5 70U 5% 4 7 2t 75 DT
Bi. WnR7E DB2 Ph4RAE|EAAHF AR AR, s Sk 7 ANULES, U] 358 BH A4 2
T SPSS Modeler #%2 JEHBRENE i 7% DB2 #iA., FHXRIEHELE, ESH
131 JURSISW BEAIHLAR S5 AR IE TR .

S W IR ERE

IBM® SPSS® Modeler ¥t T —ANXHiEHEH T % B A7 7E InfoSphere Warehouse Data
Mining "R, I 5o M R AsE R
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Bk 5-7

DB2 “FIHAREL” IFIEHE

i3

IBM InfoSphere Warehouse H{THIEEEE

Ed List Models

Server:

Database connection:

@ Refresh

Ll

Local Server

clemdewi@BM DEZ 9.5

hodel Mame hModel Infarmation hodel Type

10 Felder JELNVCDEY WHGTRIMM 1D RULEMODELS

£ i AJHINUTLGOROGEZ L 1D RULEMODELS
925 BOIGHKN UAMRTCUD 1D RULEMODELS
Age WMOMFOUDGLLTTETY 1Dk REGRESSIONMODELS
Age & BP [ACACKHTZLHILKNE 1D RULEMODELS
Age & Drug TUSMDKMHGY 2% PPE 1Tt RULEMODELS
Age & Sex & Cholesterol & ... JPMWCLCDKBSYEALF 1Tt RULEMODELS
Association GYHOURRZFDGPCNEC 1Tt RULEMODELS
Associationt LFRPJZWICFMNSAOACT 1D RULEMODELS

BP RASQGFKBGEGYIUSIP DM CLASSIFMODELS
Clazsification non supervis... MNEHJFYRECOU A0 DM CLUSTERMODELS
Clustering RO¥HYJHOCCDLRIGY DM CLUSTERMODELS
Clustering? O LRMMNONADZ MYHE DM CLUSTERMODELS
Clustering2 SYWVFLMAMYHLAWAMPC  IDMMX CLUSTERMODELS
Clusterings WX PLMCLISLCESWANAD Ik CLUSTERMODELS
Clusteringd WIBHMY SNSKFGHSEL I CLUSTERMODELS
Clusterings ZBSHOHPRAMSGLXLE I CLUSTERMODELS
Clustering6 WPLURSPFX T Y BTHX 1D CLUSTERMODELS
Clustering? FIRGMSMOPIZULKEP 1D CLUSTERMODELS
Clusterings WLMNBHEE Y GPEADEY Ik CLUSTERMODELS
Conglomerado de DE2 IM HHEHM A SMACBEAHL I CLUSTERMODELS
DAN_BigDrugs KEXHIGPNDEJRDEAA I CLASSIFMODELS
DAMN_LinesarMNa WG NFECEWRY GFH It REGRESSIONMODELS
DN _SmallDrugs BF }PEYMEKECARFR ICrM CLASSIFMODELS

Fetrie\red moadel details from database server:

=

BEXFUEAERT AN IBM “Hi BN AR 7”7 XTiEHERL )2 InfoSphere Warehouse Data Mining #H

RAT R R L 0 RN PR TR AE R DT ] . BRI LU E R

AR
m EANEE
m AR

i SR B

(BRI 2R, HTFXPRATHEF) -
(SPSS Modeler 4 # R I A: B FIBENL < B8 7= R B R B 5 )
(InfoSphere Warehouse Data Mining fAf#iZFEAIH) DB2 &) .

A AL T B2 W Y% InfoSphere Warehouse Data Mining A fyME—J7vk. 1% L H A%
5 InfoSphere Warehouse Data Mining —if2%3., HRIFEHMELR,
Ja F InfoSphere Warehouse HI£EN% .

m FHEENEINZATA TR 1% TR BRI AR T A R

ISW BRSBTS, 1% AT ML TR i [m] — S T SR AL B

INIR = o

WS 93 Y

flan, M

m PEARER (T REMAESD W R sz rf AL TR, &R A s AL i 4

PR
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SHERMERT R

A LT InfoSphere Warehouse Data Mining fEZAIFN4T PMML SAMSH#EE. &
H ) PMML /2 InfoSphere Warehouse Data Mining AR ELE PWL. %S 4 ohfE
DL PMML A% =R [Rl B

A DLOB AR RV S A g5 8 5 B SCAR SCAEART HIML SO o 75 BRI m] DLAR A B i
ﬁﬁ\ HBEMGHY A, FRELZMELE, 152 (IBM® SPSS® Modeler HIJ'#EE)
M) “FHBR”

ot

M AEEEANT RIRE

DI MBI T2 InfoSphere Warehouse Data Mining 5.

BfrfFNEEE ., &0 USSR SR AR A TN AR &, tHa] DL o e A Y
FIRRZR T AN “FB” I RFahte @ HAR AT &, XE7E IBM® SPSS® Modeler
AR UHE R E .

ODBC HBiR. Lt B/ H P REM 8 oo L ar B A A BRI ODBC 4. GZBRiIA
HAE “HBIN HIER” MEHESRIEE. ) FRIEMEE, HS M8 93 e
InfoSphere Warehouse HIEER. )

ISW AR 55 88 3 1 K i TR

AT te e T B8 BRI DB2 R, WRFRE, T PIfE “IRSS4s” Lok oA
A BB SR —ANER, UESE BN AR MEHES R e A DB2 &
. AREAEER, SRS 93 TS5 InfoSphere Warehouse HJ4E.

B A 5-8
ISW BRE=[IETF

Ld xBiF

&l

FEE |BRSER | @R S5 b EE

DEZ i |
¥ BRI IR | 10}
| BA Mz

) e G ( em | == |
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T a8 n] LS i pys s S R B AHE, el DUAME. fldn, #fBUF X
FE—AN, T —A DB2 Hd e A s, WA F 3] IBM® SPSS® Modeler i
TG Ea A B E, A E B EdE 3B 5 —A> DB2 Hd 22 H T,

ODBC #5485 4% MR 2> St ik AN B4 SPSS Modeler Wi, wWiR7E—ANEHL EAIEK
WAE R — N EN EPAT, WHZEIEFREHRA EVL LA FRB i E . s, W] DI7E%
AR BCERALTT S MRS IR Bk S — N AR .

LA T AR, BT DAE R R AR A N R4S A5 -

n SRR, PRI ] A A (R 3RS et BRIV SRPIRES)

s RGER (UBEIR) . BRI SPSS Modeler K% RBITHIE.

B InfoSphere Warehouse Data Mining Power %I, iEFFEILIEITNDLE gk mix

H, I VSRR E KR S RED, AN ARSI E E X SQL. B RFELIE S,

B S 105 T1AS DY REE Tl .

AR R R RS AR TR ARG — AN, 1232 TR e R 58 A AR 1) 1R AR R 2 O
TR AIEMEAE SPSS Modeler HEAIFN DB2 AU h 4T —EMER & . AR VEAIE A,
BZRS 131 TALISW AL B AR 55 28 % Tk .

Th HE IE T

P SRR ST 4% R RAAFTE M TR ISV BRI R IL I Bk, &5
I ThaRE BAL AN, KRR “TISW ThRELLIT” XFUGHE, Horh (4 T FI LIl

AR
HE D REIL T

Mining data custom SQL.
Logical data custom SQL.

Mining settings custom SQL.,

EBhH 5-9

ISW IfREIRTNIEE

W/ ISW Intelligent Miner Power Options

Memary limit (ME): | 256 H

Cther power options: | |

Mining data custom SGL:

Logical data custom SGL;

Mining seftings custom SGL:

(Lor) (cance | 1o |

PITEPR I o R AT 20 ) R B R I AP P o T VE R, AR Dh AR IR T 2 % 4y B b
HICAE P i v L PR
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ot

HEaE . T Plan 247 T O e Y B v 7 R F8 AT R D) e i i, X deky
TE N 25 T] BE K] S it B T RN R TR i Z 8. H P T LR B IBM® SPSS®
Modeler A A SQL LLiE AR AT 55 o

Mining data custom SQL. FJ /" w#sinrvkii FH LIME L DM_MiningData Xf 4. i, #HiA
T SQL 2 [y 44 FEAR IR A FH 84 s i — AN T 4408 Partition HIFECRIILESS:

..DM_setWhereClause (' "Partition” = 1")

Logical data custom SQL. 7 vJ %72 H L& 2L DM_LogicalDataSpec Xf % . 14
an, R SQL £ MR T AR Y AA 1) B A RO B — AN B
..DM_remDataSpecFIld('field6")

Mining settings custom SQL. JH /" A ¥s 7 v: 8 H P& 22

DM_ClasSettings/DM RuleSettings/DM _ClusSettings/DM RegSettings ¥ %. #lun, %
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