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XA AE LT SQL:
DROP TABLE CREDITSCORES

CREATE TABLE CREDITSCORES ( "fieldl" varchar(l),"field2" varchar(255),"field3" f
loat,"field4" varchar(l),"field5" varchar(2),"field6" varchar(2),"field7" varcha
r(2),"field8" float,"field9" varchar(1l),"field10" varchar(1l),"fieldll" int,"fiel
d12" varchar(1),"field13" varchar(1),"field14" int,"field15" int,"field16" varch
ar(1),"KEY" int,"$§M-field16" varchar(9),"$MC-fieldl6" float )

INSERT INTO CREDITSCORES ("fieldl","field2","field3","field4","field5","field6","field7","field8",
"field9","field10","fieldll","field12","field13","field14","field15","field16",
"KEY","$M-field16","$MC-field16")
SELECT T0.CO AS CO,T0.C1 AS C1,T70.C2 AS C2,T0.C3 AS C3,T0.C4 AS C4,T0.C5 AS C5,
T0.C6 AS C6,T0.C7 AS C7,T70.C8 AS (C8,T0.C9 AS C9,T0.C10 AS Cl0,
T0.C11 AS C11,70.C12 AS C12,T0.C13 AS C13,T0.C14 AS Cl4,
T0.C15 AS C15,T0.C16 AS C16,70.C17 AS C17,70.C18 AS C18
FROM (
SELECT CONVERT(NVARCHAR, [TA].[field1]) AS CO, CONVERT(NVARCHAR,[TA].[field2]) AS CI1,
[TA].[field3] AS C2, CONVERT(NVARCHAR,[TA].[field4]) AS C3,
CONVERT (NVARCHAR, [TA].[field5]) AS C4, CONVERT(NVARCHAR,[TA].[field6]) AS C5,
CONVERT (NVARCHAR, [TA].[field7]) AS C6, [TA].[field8] AS C7,
CONVERT (NVARCHAR, [TA].[fie1d9]) AS C8, CONVERT(NVARCHAR,[TA].[field10]) AS C9,
[TA].[field11] AS C10, CONVERT(NVARCHAR,[TA].[field12]) AS Cl1,
CONVERT (NVARCHAR, [TA].[fie1d13]) AS C12, [TA].[field14] AS C13,
[TA].[field15] AS C14, CONVERT(NVARCHAR,[TA].[field16]) AS C15,
[TA].[KEY] AS C16, CONVERT(NVARCHAR,[TA].[$M-field16]) AS C17,
[TA].[$MC-field16] AS C18
FROM openrowset ( "MSOLAP',
'Datasource=Tocalhost;Initial catalog=FoodMart 2000',
'SELECT [T].[CO] AS [fieldl],[T].[C1] AS [field2],[T].[C2] AS [field3],
[T1.[C3] AS [field4],[T].[C4] AS [field5],[T].[C5] AS [field6],
[T].[C6] AS [field7],[T].[C7] AS [field8],[T].[C8] AS [field9],
[T].[C9] AS [fieldl0],[T].[C10] AS [fieldll],[T].[C11] AS [fieldl2],
[T].[C12] AS [field13],[T].[C13] AS [field14],[T].[C14] AS [field15],
[T].[C15] AS [field16],[T].[C16] AS [KEY],[CREDIT1].[field16] AS [$M-field16],
PredictProbability([CREDIT1].[field16]) AS [$MC-field16]
FROM [CREDIT1] PREDICTION JOIN
openrowset (' '"MSDASQL' "',
'"'Dsn=LocalServer;Uid=;pwd="","' 'SELECT T0O."fieldl" AS CO,T0."field2" AS Cl,
TO."field3" AS C2,70."field4" AS C3,70."field5" AS C4,T0."field6" AS C5,
T0."field7" AS C6,T0."field8" AS C7,T0."field9" AS C8,T0."fieldl0" AS C9,
TO0."fieldl1" AS C10,T0."field12" AS C11,T0."field13" AS Cl2,
T0."field14" AS C13,T0."fieldl5" AS C14,T0."field16" AS C15,
TO."KEY" AS C16 FROM "dbo".CREDITDATA TO'') AS [T]
ON [T].[C2] = [CREDIT1].[field3] and [T].[C7] = [CREDIT1].[field8]
and [T]1.[C8] = [CREDIT1].[field9] and [T].[C9] = [CREDITL].[field10]
and [T].[C10] = [CREDIT1].[field11] and [T].[C11] = [CREDIT1].[field12]
and [T].[C14] [CREDIT1].[field15]"') AS [TA]
) TO

22 IBM SPSS Modeler 16 $i i 54045 #



£ 4 & {E£/ Oracle Data Mining #9E¥#zE1RE

%F Oracle Data Mining

IBM SPSS Modeler 37$55 Oracle Data Mining (ODM) J4EJ, ODM 4t T %% N #t T Oracle RDBMS H
) — RANEAR I Fk, XL RE @ L i) IBM SPSS Modeler (1 I A S5 11 RV 1) TR SC A4 JF & 3R 858
DU, & el RLFE A ODM 424 ) B 42 4 3k

IBM SPSS Modeler 774 Oracle Data Mining HJ T 155 %=

o ANER DLl

* Adaptive Bayes

o ZFrmEYL (SVM)

o UM EMER (GLM)*

o DL

e O-Cluster

* K-Means

o JETIE IR (NMF)

e Apriori

* B/MEIRTFKE (MDL)

s JEMEEENE (AD

* URT 11g R1

5 Oracle #H{T&EBRIEK

PIF & Fl Oracle Data Mining $0ATE0HE 122 N B BLAG e D 554, 15 mT e B AR T 4 B 03 DLk L 5 A 1
&M,

o DUIAHIR A B E Windows B UNIX F4Z2%: IBM SPSS Modeler Server J5iz{T IBM SPSS Modeler,
e A Oracle Data Mining BEIFfY Oracle 10 g R2 5 11 g R1 (10.2 5 &AM EIEE) |

R 10gR2 THFRR) LERMERIR (% 11gR1) DIAMY I A s a2 Bk,
P Oracle (@0 F Tk ) ) ODBC ¥ i,

T BARERE SQL {ifLE kL IBM SPSS Modeler 11841 F 5 H IBM SPSS Modeler Server iE#%.
Wi B IS, AR DI BE R, M IBM SPSS Modeler [A13% SQL DA K&ijiln] IBM SPSS Mod-
eler Server, ZIUEYFIFIEAPRZ, M IBM SPSS Modeler SEHAIEFEDI NIH .

BEY > XTF > HiiFAEER
WS TR, G DIV ANIEIR S iR h B 2R AR S 2R R .

23



JBH Oracle &5}

A M Oracle Data Mining f) IBM SPSS Modeler £/, 75 EALE Oracle Jf-fl## ODBC J§, J3/ IBM SPSS
Modeler# By i FHAR 7 X G HE H A SE RN RE, A SQL A= A Ak,

fil & Oracle

B EEFINLE Oracle Data Mining, 2[R Oracle XXFY (KF5&E Oracle Administrator’s Guide) DIFASHE £
TEA{E .

4 Oracle fl|# ODBC i
Pa M Oracle A1 IBM SPSS Modeler 2 [A]fi%H:, &7 2A1H# ODBC RHGEHIEIHAFR (DSN),

TERIEE DSN Z I, B 4% ODBC ¥l MUK shAEF, DL& IBM SPSS Modeler A () %5udl i 3045 A A 1Y
T

W DL A X0z 47 IBM SPSS Modeler Server, HTEMR 5545l EAIE DSN, R DIAH (& HL) #
Lisf7, WEFIITENLLAIE DSN,

1. 2% ODBC WKzhfR /7. (RAl{ERE ML ASK 7 (1) IBM SPSS Data Access Pack 27243 I 4% FI X S UK S FL T,
817 setup.exe SCAFLLR BN ZHARE T, LB GG MEENFET. 1 Hchiw LT R G B HITHAE, %
a. fil# DSN,

7 SKEEFHIRE Windows R ASAS[E T A A A4k,
« Windows XP. M“Jria st Fishmip. PEEEBTER, REAGHEERE (ODBC).

+ Windows Vista, M“Jria b s SIEmR, AR EFERG%ER. WHEETE, EFEEER
(ODBC), /& HdifTFF.
+ Windows 7. W“HIR™ERPEFIEFIER, EFEREEMEE, RAEFEEITR. HHFEER
(ODBC), /& HdifTFF.
b. HifiZ&% DSN i f, A5 HEHRM.
2. k¥t SPSS OEM 6.0 Oracle Wire Protocol iz )F.
3. HESER.

4. 7£ ODBC Oracle Wire Protocol YRR IF 24 ft 5, M AEREM BRI A PR, Oracle IR 554 H0 FHL4.
ez 115 K ff ;) Oracle /Rl SID,

R msnames.ora HFRCE T TNS, IBAFT LR S#TTEALE msnames.ora SCHARIUENL A, i
HA1 SID, BRE Z{5 5, 1§ Oracle FH MR,

5. W RETER fRHH, DA .

£ IBM SPSS Modeler #J3 H Oracle Data Mining £ i,
1. M IBM SPSS Modeler 3¢ EiH%$E:

TE > % > HBNEERF
2. B Oracle IR,

JSF Oracle Data Mining £5. Jii/i] IBM SPSS Modeler # I JiBBAY“HicHE FEER A8 MR (i @R )
JFAR AN Oracle Data Mining 4% f{ ALY 45,

24 1BM SPSS Modeler 16 $i i 54045



Oracle ##. H15E M TWENFHBRAYRE Oracle ODBC Kl L LA RLH) T AR, WIAER
T IR B BT SR R B

HEE: AT @R e A 2 aT DL T U M B A B R, el DUAARTE, i, ardes — el LT
Vil =4~ Oracle %uifa FE A Kcde, 5%l T3] 1BM SPSS Modeler DAuEATIH Bl sl AT H A #RAE, AR5 K K
L2#EN T —A Oracle #falE, MT@EBL F5h, A0 ol IS TP SR A (9F Oracle) P, {HAE
RXFEOLT, TR s L83 Oracle ARESLATEEML. FrA 8O0 N AUEHRE A 3h L2 T @ B Bl
I — I A .

%= Oracle Data Mining #RREAT A HES . bbb nT DUAf AR B 28 77 I AR 2 355 2 5 Bl gk 1BM
SPSS Modeler 7 %,

5 Oracle Data Mining ## /< a] F 50 72 P A7

¥ /550 Oracle Data Miner. (AJiE) JoJHi%ET5 IBM SPSS Modeler RITJ3) Oracle Data Miner Ji
R, VEAIME B30 |55 39 JY 1 Oracle Data Miner !t |

Oracle Data Miner AIH{TXHRUBEIZ. (FA[iE) M TH8E Oracle Data Miner for Windows AJHi{7 SCAF (Y
WHALE (FIN C\odm\bin\odminerw.exe) . Oracle Data Miner A5 IBM SPSS Modeler — it %2%%, A%
Oracle MW (http://www.oracle.com/technology/products/bi/odm/odminer.html) T %% 1FE B 1Y RRAS HEAFE 2 7 v iE 4T 42

o

S
JA L SQL A AL AL
1. M IBM SPSS Modeler 3 #irfiif#¥:

TH > fiiEH > &M

TES0 7 1 v L T A B T,

3. BAREC A MAER SQL eri, AR EE A IE R LEER, Wik ERELFR.
4. WO SQL EMAMEAEMMIT (IE™ ks LTER M T, DIEPERERAL) |

»

& Oracle Data Mining #iE{&%#Y

Oracle BT A TAE 5 IBM SPSS Modeler H HAh A S —FE, At dAg JLAEIsh, w2
JRAE IBM SPSS Modeler & [ J5E F# Kl 122 A 58 AR 7 ] 3 4695

Oracle ZRPIFAF M (CHAR 3 VARCHAR2) fEfifisr2%kdis. Hitk, IBM SPSS Modeler N i/ il &
BAAIRET H L (52 MEFAEE TS E 8 ODM BRI A, G A2, A7 IBM SPSS Modeler
il BB A 20 O BT e B A R

BirFE. HEEEsE - FBEN ODM 7RG L (Hir) FE.
BRZFR. M Oracle 11gR1 JHA, 45K unique CSCNSRHET, NAEFIVEE SR 475,

ME—=FBE. 15 FoRME —HIAR IR & S IME )7 B, flin, 1D FB, & /' ID, IBM SPSS Modeler PR i
XA B R B

HE: WFEBX TR Oracle Adaptive Bayes, Oracle O-Cluster 1 Oracle Apriori 35844 Oracle 7 15,
H R ALY,

% 4 = ffiJf] Oracle Data Mining #4) % $i s A A 25



—BiEie

s %FF Oracle Data Mining G#fF%, IBM SPSS Modeler A2t PMML S Hi/5 AThfE.

o BRIV RZAE ODM HikfT, WREdE>EE T IBM SPSS Modeler (7 Z7E H P fE a4, IR A7 24
ek k| i

* {£ IBM SPSS Modeler H, 18 H H &AL — YA DL K 515 Ao 1k =2 ol 8 15 i

* IBM SPSS Modeler #1] LT 8R4 i FIPE43 (19 7 B AR R #1000,

+ IBM SPSS Modeler ] [J M ffi i IBM SPSS Modeler Solution Publisher & A iATHIMH % ODM #iHI 47
PIr.

Oracle tEAYARSSEEEIN

FeE T EAREAEARH) Oracle 34, WIRTE, Gl DIE M d5 a7 e 00 Lo R g ity b e 4 — M,
AT s e B IR T SR RE FP 8 2 (B Oracle 34%.  AHEEMH R, 1S 24 511 1 i Oracle %
R

o AT @B R AT LIS SR IR S P R B, BT RURAIEL Bdn, arREA — R AT DA T U

—A Oracle g F 5, H8dE T 48] IBM SPSS Modeler DI#EATIE B ok AT HAWBRAE, SR K 8ds b
RF 5 —14 Oracle FdlE)/FE, T @M,

* ODBC By A FKal A% it T &1 IBM SPSS Modeler i, WIR{E—& EV EBIRRAAES —GE
PLESAT, IEAZBIREAER & £ A9 AR AR, 75b, Wl RIEAS AR O ATy o iR 55 41 10
R — AR

IRITERA

FERLEIREE R, A E B DR 2 B (0 B 2 1 A B8 R A A, N, H e XU £ BF F 3 A\ 0 N AR XU 3 A
(—FRER R ) BB 5 T AU 3 232 i LB i L (5 — AR 2] ) RYIA, i R IR
AT $5 R AN [7] 231 B4 T 5 22 ) AR X B B,

DRI MAAEA TR A7 A TR SR AR, X SERCE A OB R B R T, I AT REAE SEbr RSO (fF
b e A B IR A — P 50

Bk C5.0 B Z AL, LEXBRIGEATIEAI, R0 FMARAGE A, FEf B s I ean 1 a, PR R S i
RO BB AT HERR B LU, R FNAMA T LI IE, R AT AL N AN LU A KT A T A P AR
RUF=E R 22D, XA R BURR 2 A T RE 1% MRS ARS8 P P BT AT S B 4 ), (ERAE SEBR I AR, Xk
MR TR ST R T REE A, PONER — TN ERMZE, WA R TR R AR,

AT 7 T TSR SEbR2E B A 4 T BE RV AL 5 B A, BREIEOL, IR KA E N 1.0, &
i A E T AR, T E R IR 93 2 BRI L g A B A

B MR RIAS, AT 5 P A SR RN SE B (B R 2 A 0 R BT, TEBRIL TR W ILA NS, e
HHEAP T A, WA A, Fn, WA A 3=0KN B BRARER 2.0, ok B i3k
N A BIRAK RS [ 1.0, BRAEW BT E i k.

TERD: PR SV FE A RN 48 7 15k

26 IBM SPSS Modeler 16 $it i 5445



Oracle #M=D1MER

FRE DU AL A 2R i g e, DA BLEE g i A A AR L AT, R FR A AR, A

R DU — o] g i e s 8k, AT ES NENS Bir B A & 0 S5, 6 FI 26 80 i o ol ar
AR, 25 RBE M AL R ITA E R &K ER, IR 8 B A H ARSI BIIRE.

o TXHE AT ARLIE (HFHEERE ) BEaEr . a5 n] F T4 8 a5 0 G S a5 £ s AR
I, IR AT%AE e UEEE 3 .

o ARy ] FAR RS YT, SERE R BB R SR, XS SRR S TR A 2R (B ) RN TR AR & Y
HE (1) MLEk,

2R DU B AR 2U 3R T3
PBVERR. FP AT H Aol ID B AR A S FR R8I BN F Bk ST ) s — 4>
ST

ERSXEE. R E ST R, BRI R A RN ZR 3 DX R R T A A

ME—=FER, 8@ FORME — A iR WA i 7 BL. B, ID B, &/ ID, IBM SPSS Modeler FR i
XA BOL I R B

e WFEFEE Oracle Adaptive Bayes, Oracle O-Cluster #f1 Oracle Apriori 75 S AMAFTA Oracle 35,5
HRIE ALY,

BEERES. (X 11g) /A (Bt45) ZiZEH Oracle Data Mining [ H shERHE R, IR P ILHE, 78
2, ODM ¥ H shit T8 i R B R, 18415 8., 1530 Oracle Data Mining #E23.

FMEE DU ET & SRR I

Ik A 20 1A (X I R e h B R G R R A AR, R AR B A i, B I A o s P ol 0T
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