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S V16.0 *<,(} SPSS Modeler,zIT!qwvT0rPD5ZwP4(;)y>E>,x^h9CE

>`FoT1S`48n#I(}K==4(D=Vw*`MDE>Gr%-7T0Zzcu~14PZcD

==#

ITiOwPD-7frMu~4Pfr#}g,zI\_P4T@gwXFlLD{5z[`X}]#zI

TZwPhC;vCZ&m}]D-7,Sx4FlzRrXxj6j8E","+}]dv=wvT>Kj
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8E"(}g,4MEEPDz[?,4FlLM}fs!EPDEE6pH)D<N#g{z#{vVv7

^E",G49ITr-7mSu~,Th9kT\?hZ@zMG^DFlL4(<N#

":IZ-7Mu~4PyTs(E>*y!,rK|GvJCZKPD{vw#

v -7 9C-7IT//X4Nq#}g,bI\b6ErwmSx(}?DZc,"R?N|D;vZcN

}#mb,zIT+wrV'DKPXF*44KPx(}?DN},gTB>}y>:

– KPwx(}?DN},"R?N<T4xP|D#

– KPwx(}?DN},"R?N<Td?D5xP|D#

– KPwx(}?DN},"RZ?N4P1<dk;vnbDVN#

– 9(#Mx(}?DN},"R?N<T#MhCxP|D#

v u~4P zIT9C|y]$(eDu~4XFUKZcDKP==,I\D>}gB:

– y]x(5G true 9G false,XFGq+KPZc#

– (eZc-7+T"P==KP9G43rKP#

-7Mu~4P<GZ“wtT”T0rPD“4P”!n(PhCD#NNZu~r-7*sP9CDZc<f

=S=b)ZcD=S{E;pT>Zw-<O,K{ECZ8>b)Zc+Nk-7Mu~4P#

zIT(}BP}V==PDdP;V4CJ“4P”!n(:

v 9CwT0r%?DK%:

1. S“$_”K%P,!q:

wtT > 4P

2. %w“4P”!n(T&m10wDE>#

v SwP:

1. R|%wZc,;s!q-7/u~4P#

2. !q`XSK%!n#

v SwT0r%?D<N$_8P,%wwtT<j#

g{bGzZ;NhC-7ru~4Pj8E",kZ“4P”!n(O!q-7/u~4P4P==,;s!
qu~r-7S!n(#

wPD-7

(}-7,zITT//wPDX4Nq;I\D>}gB:

v KPwx(}?DN},"R?N<T4xP|D#

v KPwx(}?DN},"R?N<Td?D5xP|D#

v KPwx(}?DN},"RZ?N4P1<dk;vnbDVN#

v 9(#Mx(}?DN},"R?N<T#MhCxP|D#

ITZw“4P”!n(D-7S!n(OhC*zcDu~#*T>CS!n(,k!q-7/u~4P4P
==#

g{hCK-7/u~4P4P==,G4ZzKPw1,z(eDyP-7*s<+z'#(I!)zIT

kTzD-7*szIE>zk,"(}%w“-7”S!n(RBGD3y... +Kzk3y=E>`-wP;
w*“4P”!n(+T>K|DTT>1!(I!E>)4P==,"+E>T>ZK!n(D%?#bb6

E,zITH9C`v-7T0r!n4(e-7a9,;sYzIIZE>`-wPxPx;=(FDE

>#k"b,1z%w3y... 1,z(eDyPu~4P*s2aT>ZzIDE>P#
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*hC-7,kjIBP=h:

1. 4(|zX|VT(e+ZwP4PDw*-7a9#PX|`E",kND4(|zX|V#

2. Zh*1,(e;vr`v|zd?#PX|`E",kND4(|zd?#

3. z4(D|zMyPd?<+T>ZCS!n(Dw*?VP#1!ivB,+4T>3r4P|z;*

ZPmPOBF/|z,k%w|zT+d!P,;s9CCS!n(R`DrOrrB}7|D3r#

4(CZwPD-7D|zX|V

9C|zX|VIT(e+ZwP4PDw*-7a9#}g,g{*T{5z[xPVv,G4IT4(w

N}FlzRrXx,"+dCw|zX|V;ZKPw1,KX|V+hC*wv|z}LPzD}]PD

wv;,DzRrXx5#9C“(e|zX|V”T0rIThCX|V#

*r*KT0r,k!q“-7”S!n(sBGD|zX|V... 4%,r_R|%wwPDNNZc,;s!
q-7/u~4P > (e|zX|V(VN)r-7/u~4P > (e|zX|V(5)#g{GSwPr*K

T0r,G453I\aT/*zn4;)VN,}g,ZcD{F#

*hC|zX|V,kn4BPVN:

|z@]#zIT!qBPdP;v!n:

v wN} - VN#9CK!nI4(;v-7,CZ+VPwN}D5@NhC*wv8(VN#

v wN} - 5#9CK!nI4(;v-7,CZ+VPwN}D5@NhC*wv8(5#

v ZctT - VN#9CK!nI4(;v-7,CZ+ZctTD5@NhC*wv8(VN#

v ZctT - 5#9CK!nI4(;v-7,CZ+ZctTD5@NhC*wv8(5#

hCZ]#!q+Z?N4P-71hCd5Dn#zIT!qBPdP;v!n:

v N}#v1z!qwN} - VNrwN} - 51EIC#SICPmP!qyhN}#

v Zc#v1z!qZctT - VNrZctT - 51EIC#!q*TdhC-7DZc#%w/@4%T

r*“!qZc”T0r"!qyhZc;g{PvDZc}`,G4IT(}!qBPdP;v`pTT>

a{xP}K,TvT>X(`MDZc:“4”"“xL”"“<N”"“(#”"“dv”"“<v”r“&C#M”

Zc#

v tT#v1z!qZctT - VNrZctT - 51EIC#SICPmP!qZcDtT#

*9CDVN#v1z!qwN} - VNrZctT - VN1EIC#!qZcP*CZa)|z5DVN#

zIT!qBPdP;v!n:

v Zc#v1z!qwN} - VN1EIC#!q*TdhC-7R|,j8E"DZc#%w/@4%Tr

*“!qZc”T0r"!qyhZc;g{PvDZc}`,G4IT(}!qBPdP;v`pTT>a

{xP}K,TvT>X(`MDZc:“4”"“xL”"“<N”"“(#”"“dv”"“<v”r“&C#M”Z

c#

v VNPm#%wR_PPDPm4%IT>“!qVN”T0r,zITZKT0rP!qZcP*CZa)

|z}]DVN#kNDZ 63D:!qCZ|zDVN;Tq!|`E"#

*9CD5#v1z!qwN} - 5rZctT - 51EIC#!qy!VNZ*Cw|z5D5#zIT!

qBPdP;v!n:

v Zc#v1z!qwN} - 51EIC#!q*TdhC-7R|,j8E"DZc#%w/@4%Tr*

“!qZc”T0r"!qyhZc;g{PvDZc}`,G4IT(}!qBPdP;v`pTT>a{

xP}K,TvT>X(`MDZc:“4”"“xL”"“<N”"“(#”"“dv”"“<v”r“&C#M”Z

c#

Z 1 B E>`F 5



v VNPm#!qZcPCZa)|z}]DVN#

v 5Pm#%wR_PPDPm4%IT>“!q5”T0r,zITZKT0rP!qZcP*CZa)|z

}]DVN#

4(CZwPD-7D|zd?

zIT9C|zd?Z?N4P-71|DwPDwN}5r!(ZcDtT5#}g,g{w-7+T{5

z[}]xPVv"9CFlzRrXxw*|zX|V,G4zI\a_P;v4MET>z[nD<Nd

v,T0m;T>KOxEEE"D<Ndv#Zb)ivB,zIT4(|zd?,b)d?+*zID<

N4(Bjb,}gpd{5EEM4MEEPDU>{5z[n#9C“(e|zd?”T0rIThCNN

zh*Dd?#

*r*KT0r,k!q“-7”S!n(sBGD|zd?... 4%,r_R|%wwPDNNZc,;s!q:
-7/u~4P > (e|zd?#

*hC|zd?,kn4BPVN:

|D#!q*^DDtTD`M#ITSwN}rZctTPxP!q#

v g{!qwN},k!qyhN},;s(}-7Dwv|z,9CBPdP;v!n(g{ZwPI

C)(e&C+CN}hC*D5#

– +Vd?#!q&C+wN}hC*D+Vd?#

– mdv%*#*+wN}hC*mdv%*PD5,kSPmP!qm,;sdk*9CDPMP#

– V/dk#g{*V/*KN}dk+Zwv|zPICD5,k!qK!n#5X=“-7”S!n(

1,+4(;vIZdPdkyhD>DBP#

v g{!qZctT,k!qyhZcT0CZcDdP;vtT,;s!q*CZCtTD5#(}9C

BPdP;v!n,IThCBtT5:

– %@#tT5+9C|zX|V5#kNDZ 53D:4(CZwPD-7D|zX|V;Tq!|`

E"#

– w*J40:#9C|zX|V5w*ZJ4VNPdkDZ]D0:#

– w*J4s:#9C|zX|V5w*ZJ4VNPdkDZ]Ds:#

g{!q0:rs:!n,G453+a>zrJ4VNmS=SD>#}g,g{|zX|V5*Fl

zRrXx"Rz!qw*J40:,G4ITZKVNPdk - 4MEEPDz[n#

!qCZ|zDVN

4(|z1,zIT9C“!qVN”T0r!q;vr`vVN#

Er==#IT(}!qBPdP;v!nICZi4DVNxPEr:

v T;#}]wrBiz}]1,10ZcSUVND3r4*VNDi43r#

v {F#9CV83rT*i4DVNxPEr#

v `M#i44db?6pxPErDVN#K!nZ!q_PX(b?6pDVN1G#PC#

;NSPmP!q;vVN,rIC4! Shift "%wM4! Ctrl "%wD=(!q`vVN#Kb,2IT

9CPmBfD4%y]b?6p!q`iVN,r!qr!{!qmPyPVN#

k"b,I)!qDVN+xP}K,TvT>JCZz9CDwN}rZctTDVN#}g,g{z9C

DGf"`M*V{.DwN},G4+vT>f"`M*V{.DVN#
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wPDu~4P

(}u~4P,zITy]kzy(eDu~`%dDwZ]4XFUKZcDKP==;I\D>}gB:

v y]x(5G true 9G false,XFGq+KPZc#

v (eZc-7+T"P==KP9G43rKP#

ITZw“4P”!n(Du~S!n(OhC*zcDu~#*T>CS!n(,k!q-7/u~4P4P
==#

g{hCK-7/u~4P4P==,G4ZzKPw1,z(eDyPu~4P*s<+z'#(I!)z

ITkTzDu~4P*szIE>zk,"(}%w“u~”S!n(RBGD3y... +Kzk3y=E>`
-wP;w*“4P”!n(+T>K|DTT>1!(I!E>)4P==,"+E>T>ZK!n(D%

?#bb6E,zITH9C`v-7T0r!n4(eu~,;sYzIIZE>`-wPxPx;=(F

DE>#k"b,1z%w3y... 1,z(eDyP-7*s2aT>ZzIDE>P#

*hCu~,kjIBP=h:

1. Z“u~”S!n(DR`,%w“mS4Pod”4% ,Tr*“u~4Pod”T0r#ZKT0rP,

IT8(4PZcyXkzcDu~#

2. Z“u~4Pod”T0rP,8(TBZ]:

a. Zc#!q*TdhCu~4PDZc#%w/@4%Tr*“!qZc”T0r"!qyhZc;g{

PvDZc}`,G4ITTT>a{xP}K,T4BPdP;v`pT>Zc:“<v”"“<N

”"“(#”r“dv”Zc#

b. w*@]Du~#8(4PZcyXkzcDu~#zITSBPDv!nP!qdP;v:wN}"

+Vd?"mdv%*r<Uzc#ZT0rBk?VPdkDj8E"Iz!qDu~XF#

v wN}Sa)DPmP!qN},;s!qCN}DKc{;}g,Kc{ITGsZ"HZ"!

ZMiZ.dHH#;s,dk5rn!5Mns5,_e!vZKc{#

v +Vd?#Sa)DPmP!qd?;}g,bI\|(=y5"\M"n!5"ns5rj<

n#;s,!qKc{0yh5#

v mdv%*#SICPmP!qmZc,;s!qmPDPMP#;s,!qKc{0yh5#

v <Uzc#g{Xk<U4PZc,k!qK!n#!qK!ns,+^h!qd{N}#

3. X4=h 1 M 2 yhN},1=zhCKyPh*Du~#y!ZcM4PCZc0yXkzcDu~+

VpT>ZCS!n(w*?VPD4PZcMg{zcKu~PP#

4. 1!ivB,+4T>3r4PZcMu~;*ZPmPOBF/ZcMu~,k%wZcru~T+d

!P,;s9CCS!n(R`DrOrrB}7|D3r#

mb,zITZ“u~”S!n(DW?hCBP!n:

v 43rTyPu~xPs5#!qK!nI4u~ZCS!n(ODT>3rTwvu~xPs5#Ty

Pu~xPs5s,+"44PG)u~s5*“true”DZc#

v ;N4P;vZc#;P!P43rTyPu~xPs51EIC#!PK!nm>,g{3vu~s5

*“true”,G4+H4PkCu~X*DZc,;sYTB;vu~xPs5#

v ZWN|P.0xPs5#!PK!nm>,+vKPZ;vy]z8(Du~5X“true”s5DZc#

4PMPOE>

IT(}`V=(44PE>#}g,ZwE>r@"E>T0rP,“KPKE>”4%+4P{vE>:
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“KP!(DP”4%CZ4PzZE>P!qD%;Pr_`ZPyiIDi:

IT9CTB==4PE>:

v ZwE>r@"E>T0rP,%w“KPKE>”r“KP!(DP”4%#

v ZKPKE>hC*1!4P==DivBKPw#

v t/sT;%#=9C -execute j>#PX|`E",kNDZ 433D:|nPTd?D9C;wb#

"b:g{Z“,ZcE>”T0rP!qKPKE>,G4+Z4P,Zc14P,ZcE>#

POE>4P

“wE>”T0rPDl+“#9”4%+ZE>4P}LP;$n#9CK4%ITEzE>MNN10wD4

P#

iRMf;

IZ`-E>rmo=D>D;C(|(E>`-w)r(e“(f”ZcPD#e19C“iR/f;”T0

r#ZOvN;xr`-D>1,4 Ctrl+F ICJKT0r,"7#bjD9c;ZD>xrP#}g,&

mndZc1,IT(}“hC”!n(DN;D>xrrmo=9(wPDD>VNCJKT0r#

1. 9CD>xrPDbj,4 Ctrl+F ICJ“iR/f;”T0r#

2. dk*QwDD>,rSn|QwnB-PmP!q#

3. dkf;D>(g{PD0)#

4. %wiRB;v*<Qw#

5. %wf;f;10!(DZ],r%w+?f;|ByPnr!(D5}#

6. ?NYwjIs,KT0r+XU#SN;D>xrP4 F3 |,IX4O;NiRYw,r4 Ctrl+F,I

YNCJCT0r#

Qw!n

xVs!4#8(iRYwGqxVs!4;}g myvar Gqk myVar %d#^[uyhC,f;D><U

j+4Udkek#

v^Z{v%J#8(iRYwGq%d%JPZ6DD>#g{!P,spider DQwa{+;a|( spiderman

r spider-man#

}rmo=#8(Gq9C}rmo=o((kNDB;Z)#g{!P,v^Z{v%J!n+{C"Ra

vTd5#

v^Z!qD>#XF9C+?f;!n1DQw6'#

< 1. “KPKE>”4%

< 2. “KP!(DP”4%
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}rmo=o(

9C}rmo=,zITQwXbV{(g!n(r;P{)"V{D`r6'(g a = d)"NN}VrG}

VT0_g(gPWrP2)#}rmo=#=hvKCmo=+"TZdkV{.PiRDV{.Da9#

\'VD}rmo=9lD`MgB#

m 1. V{%d

V{ %d

x V{ x

\\ 41\V{

\0n ,KxF5DV{ 0n (0 <= n <= 7)

\0nn ,KxF5DV{ 0nn (0 <= n <= 7)

\0mnn ,KxF5DV{ 0mnn (0 <= m <= 3, 0 <= n <= 7)

\xhh ,.yxF5DV{ 0xhh

\uhhhh ,.yxF5DV{ 0xhhhh

\t Fm{ (’\u0009’)

\n ;P{ (’\u000A’)

\r X5{ (’\u000D’)

\f ;3{ (’\u000C’)

\a /((dy){ (’\u0007’)

\e *e{ (’\u001B’)

\cx x T&DXFV{

m 2. %dV{`

V{` %d

[abc] a"b"r c(r%`)

[^abc] } a"b"r c .bDyPV{(`u)

[a-zA-Z] a = z r A = Z,|,(6')

[a-d[m-p]] a = d r m = p(O")#2I8(* [a-dm-p]

[a-z&&[def]] a = z M d"e"r f(;/)

[a-z&&[^bc]] a = z,} b M c b(`u)#2I8(* [ad-z]

[a-z&&[^m-p]] a = z,xG m = p(`u)#2I8(* [a-lq-z]

m 3. $(eV{`

$(eV{` %d

. NbV{(I\r;I\kPU9{%d)

\d Nb}V:[0-9]

\D G}V:[^0-9]

\s UqV{:[ \t\n\x0B\f\r]

\S GUqV{:[^\s]

\w %JV{:[a-zA-Z_0-9]

\W G%JV{:[^\w]
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m 4. _g%d

_g%d{ %d

^ PW

$ P2

\b %J_g

\B G%J_g

\A dkD*7

\Z }nsU9{b(g{P),dkDa2

\z dkDa2

PX9C}rmo=D|`E"T0;)>},kND http://www.ibm.com/developerworks/java/tutorials/j-

introtojava2/section9.html#

>}

TBzk+ZV{.*7Qw"%d 3 v}V:

^[0-9]{3}

TBzk+ZV{.a2Qw"%d 3 v}V:

[0-9]{3}$
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Z 2 B E>oT

E>`4oTEv

(} IBM SPSS Modeler DE>`F$_,zIT4(;)E>,b)E>ITZ SPSS Modeler C'gfO

KP"&mdvTs"KP|no(#zITZ SPSS Modeler P1SKPb)E>#

IBM SPSS Modeler PDE>TE>oT Python `4#IBM SPSS Modeler y9CDyZ Java D Python 5

VF* Jython#E>oT|,BP&\?~:

v CZ}CZc"w"$L"dvMd{ IBM SPSS Modeler TsDq=#

v ICZ&mb)TsD;iE>`Fodr|n#

v CZhCd?"N}Md{TsD5DE>`Fmo=oT#

v "M",S{MDVD>iD'V#

TBwZhvK Python E>oT"Python D Jython 5VT0Z IBM SPSS Modeler ZxPE>`FDkE

y>o(#_etTM|nDPXE"rZfsDBZPa)#

Python M Jython
Jython G Python E>oTD5V,|T Java oT`4"k Java =(xP/I#Python G;VfrTsD

&\?sDE>oT#Jython _PIlE>oTDzz&Xw,xRk Python ;,DG,Jython ITZNN

'V Java ibz (JVM) D73PKP#bb6EzZ`4Lr1IT9C JVM OD Java b#(} Jython,

zIT{CKnl"9C Python oTDo(Ms?V&\

w*;VE>oT,Python(0d Jython 5V)WZ'0"\;_'XxP`k,xR_84(KPLryh

*Dn!a9#ITZ;%==Bdkzk,4;Ndk;P#Python G;VbMTE>oT;|;P Java P

D$`k=h#Python LrvvGD>D~,53+Zdkb)D~1TdxPbM(Zbvo(mss)#

r%mo=(}gQ(eD5)T0|S4SDYw(}g/}(e)+"44P"I)9C#ITlYbT

NNTzkxPD|D#+G,E>bM75fZ;)1c#}g,IZ9C4(eDd?;G`kwms,

rK;PZ4P9CKCd?DodDivB,Ealb=Kms#ZbVivB,IT`-"KPLrTw

Tms#

Python +yPZ](|(yP}]Mzk)S*Ts#rK,zIT9C`Pzk4&mb)Ts#3)!q

`M(}g}VMV{.)+;|S=cXS*5x;GTs;Python 'VKP*#P;v\'VD Null 5#

K Null 5_P#t{F None#

PX Python M Jython E>`FD|nki\T0;)>}E>,kND www.ibm.com/developerworks/java/

tutorials/j-jython1 M www.ibm.com/developerworks/java/tutorials/j-jython2#

Python E>`F
> Python E>oT8Oi\KZ IBM SPSS Modeler P`FE>1nI\9CDi~,dP|(EnM`L

y!#b+*za)c;D*64*"T:D Python E>,TcZ IBM SPSS Modeler P9C#
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Kc

35(}9CHE (=) 4jI#}g,*+5“3”35x{*“x”Dd?,zIT9CTBod:

x = 3

HE9ICZ+V{.`M}]35xd?#}g,*+5“a string value”35xd?“y”,zIT9CTBo

d:

y = "a string value"

BmPvK;)#CDHOKcM}5Kc0dhv#

m 5. #CDHOKcM}5Kc

Kc hv

x < y x Gq!Z y?

x > y x GqsZ y?

x <= y x Gq!ZrHZ y?

x >= y x GqsZrHZ y?

x == y x GqHZ y?

x != y x Gq;HZ y?

x <> y x Gq;HZ y?

x + y + y k x `S

x - y S x Pu% y

x * y + x KT y

x / y + x }T y

x ** y s x D y N]

Pm

PmG*XrP#PmIT|,Nb}?D*X,xPmD*XITGNN`MDTs#2IT+PmS*s

P#fEmS"}%rf;*X,PmP*XD}?I\avSruY#

>}

[] NNUPm#

[1] |,%v*X({})DPm#

["Mike", 10, "Don", 20] |, 4 v*X(=vV{.*XM=v{}*X)DPm#

[[],[7],[8,9]] PmDPm#?vSPm<G;vUPmr{}*XPm#

x = 7; y = 2; z = 3;
[1, x, y, x + y]

{}Pm#K>}5wKd?Mmo=D9C#

zITrd?VdPm,}g:

mylist1 = ["one", "two", "three"]

;s,ITCJPmDX(*X,}g:

mylist[0]

b+zITBdv:
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one

=(E ([]) PD}VF*w},|8rPmPD3vX(*X#+S 0 *<TPmPD*X`Fw}#

z2IT!qPmPD;5P*X;bF*Pn#}g,x[1:3] +!q x DZ 2 vMZ 3 v*X#a2w

}Gy!Z]sfD;vw}#

V{.

V{.G;v;S*5D;IdV{rP#V{.'VyPzIBV{.D;IdrP/}MKc{#}g,

"abcdef"[1:4] +zIdv "bcd"#

Z Python P,V{I$H* 1 DV{.m>#

V{.Vf5(}9C%X}Cr}X}C4(e#9C%}E(eDV{.;\gP,x9C}X}E(e

DV{.ITgP#IT+V{.(Z%}E (’) r+}E (") P#}CV{IT|,d{4*eD}CV{

rQ*e(4,0fxP41\ (\) V{)D}CV{#

>}

"This is a string"
’This is also a string’
"It’s a string"
’This book is called "Python Scripting and Automation Guide".’
"This is an escape quote (\") in a quoted string"

Python bvw+T/O"`vTUqVtDV{.#byzIT|aIXdk$V{.,"R|]WlO%v

V{.PD}E`M,}g:

"This string uses ’ and " ’that string uses ".’

b+zITBdv:

This string uses ’ and that string uses ".

V{.'V;)PCD=(#BmPvKdP;)=(#

m 6. V{.=(

=( C(

s.capitalize() T s 4PWV8s4

s.count(ss {,start {,end}}) Fc ss Z s[start:end] PDvVN}

s.startswith(str {, start {, end}})
s.endswith(str {, start {, end}})

bTTi4 s GqT str *7

bTTi4 s GqT str a2

s.expandtabs({size}) +Fm{f;*Uq,1! size * 8

s.find(str {, start {, end}})
s.rfind(str {, start {, end}})

Z s PiR str DZ;vw};g{R;=,G4a{*

-1#rfind SR=sxPQw#

s.index(str {, start {, end}})
s.rindex(str {, start {, end}})

Z s PiR str DZ;vw};g{R;=,G4+}p

ValueError#rindex SR=sxPQw#

s.isalnum bTTi4V{.Gq*V8}VV{.

s.isalpha bTTi4V{.Gq*V8V{.

s.isnum bTTi4V{.Gq*}VV{.

s.isupper bTTi4V{.Gq*+?s4

s.islower bTTi4V{.Gq*+?!4

Z 2 B E>oT 13



m 6. V{.=( (x)

=( C(

s.isspace bTTi4V{.Gq+GUq

s.istitle bTTi4V{.Gq*WV8s4DV8}VV{.rP

s.lower()
s.upper()
s.swapcase()
s.title()

*;*+?!4

*;*+?s4

*;*s!4_9

*;*+jbN=

s.join(seq) + seq PDV{.,Sp4,T s w*Vt{

s.splitlines({keep}) + s Vn*`P,g{ keep * true,G4+9C;P

s.split({sep {, max}}) 9C sep(1! sep *Uq)+ s Vn*“V”,n`Vn

max N}

s.ljust(width)
s.rjust(width)
s.center(width)
s.zfill(width)

ZmH* width DVNP,+V{.sTk

ZmH* width DVNP,+V{.RTk

ZmH* width DVNP,+V{.SPTk

C 0 xPnd#

s.lstrip()
s.rstrip()
s.strip()

}%0<Uq

}%2?Uq

}%0<M2?Uq

s.translate(str {,delc}) }% delc PDyPV{s,9Cm*; s#str &CG$

H* == 256 DV{.#

s.replace(old, new {, max}) 9CV{. new +?f;r4U max vVN}f;V{.

old

8"

8"GI.E(r"P{E)(#) }kD"M#,;PO;Z.EsfDyPD><+;S*8"DiI?V,

"R+;vT#8"IT*<ZNNP#TB>}5wK8"D9C:

#The HelloWorld application is one of the most simple
print ’Hello World’ # print the Hello World line

odo(

Python Dodo(G#r%#(#,?v4zkP<G%;od#} expression M assignment odb,?

vod<I;vX|V{F(}g if r for)}k#ITZzkPNNod.dDNb;CekUWPr8

"P#g{3;PPP`vod,G4Xk9CVE (;) 4Vt?vod#

,$odITV*`P#ZbVivB,*V=B;PDodXkT41\ (\) a2,}g:

x = "A loooooooooooooooooooong string" + \
"another looooooooooooooooooong string"

g{3va9(Z2(E (())"=(E ([]) r((E ({}) Z,G4odITZNN:EsfV*BP,x;

Xek41\,}g:

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)
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j6

j6CZTd?"/}"`MX|VxP|{#j6D$HNb,+XkTs4r!4DV8V{rB._V

{ (_) *7#TB._*7D{F+(##tw*Z?{Fr(C{F#ZZ;vV{sf,j6IT|,N

b}?DV8V{"0 = 9 D}VT0B._V{,"Rb)V{M}VITNbiO#

Jython PD;)#tV;ICZTd?"/}r`xP|{#b)#tVV*BP`p:

v od}<J:assert"break"class"continue"def"del"elif"else"except"exec"finally"

for"from"global"if"import"pass"print"raise"return"try M while

v N}}<J:as"import M in

v Kc{:and"in"is"lambda"not M or

X|V9C;1(#azI SyntaxError#

zki
zkiGZZ{%vodD;C9CDodi#zkiITzfBPNNod:if"elif"else"for"

while"try"except"def M class#b)od+}kxP0EV{ (:) Dzki,}g:

if x == 1:
y = 2
z = 3

elif:
y = 4
z = 5

9CuxTzkixP(g,x;Gq Java ;y9C((E#zkiPDyPP<Xkux=,;;C#bG

r*TuxD|D8>zkiax#(#,?;6uxDvUq#(i9CUqx;GFm{4uxP#;C

lCUqMFm{##iDnbciPDPXkSZ;P*<,qr+"z SyntaxError#

iIzkiDod(T00EsfDod)2IT|(Z;PP,"TVEVt,}g:

if x == 1: y = 2; z = 3;

+N}+]xE>

+N}+]xE>G#PC,r*bm>ITX49CE>x^hxP^D#Z|nPP+]DN}+w*P

m sys.argv PD5xP+]#9C|n len(sys.argv) ITq!y+]D5D}?#}g:

import sys
print "test1"
print sys.argv[0]
print sys.argv[1]
print len(sys.argv)

ZK>}P,import |nCZ<k{v sys `,TcIT9Cbv`PfZD=(,}g argv#

IT9CTBPwCK>}PDE>:

/u/mjloos/test1 mike don

a{*TBdv:

/u/mjloos/test1 mike don
test1
mike
don
3
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>}

print X|V+r!tzdsDN}#g{odsz:E,G4;aZdvPBv;P#}g:

print "This demonstrates the use of a",
print " comma at the end of a print statement."

b+zITBdv:

This demonstrates the use of a comma at the end of a print statement.

for odCZ|zzki#}g:

mylist1 = ["one", "two", "three"]
for lv in mylist1:

print lv
continue

ZK>}P,+*Pm mylist1 Vd 3 vV{.#;s,+r!CPmD*X,?v*X<C;P#b+z

ITBdv:

one
two
three

ZK>}P,|zw lv +@NICPm mylist1 P?v*XD5,r* for -7CZ5V?v*XDzki#

|zwITGNb$HDNNP'j6#

if odGu~od#Cod+Tu~xPs5,"y]s5a{5X true r false#}g:

mylist1 = ["one", "two", "three"]
for lv in mylist1:

if lv == "two"
print "The value of lv is ", lv

else
print "The value of lv is not two, but ", lv

continue

ZK>}P,T|zw lv xPKs5#g{ lv D5* two,G4+5X;vV{.,CV{.;,Z lv D

5;G two 15XDV{.#b+zITBdv:

The value of lv is not two, but one
The value of lv is two
The value of lv is not two, but three

}'=(

zITS math #iCJPCD}'=(#BmPvKdP;)=(#}GmP5w,qryP5+w*!c

}5X#

m 7. }'=(

=( C(

math.ceil(x) + x DO^w*!c}5X,4sZrHZ x Dn!{}

math.copysign(x, y) 5XxP y D{ED x#copysign(1, -0.0) +5X -1

math.fabs(x) 5X x DxT5

math.factorial(x) 5X x WK#g{ x G:}rG{},G4+"z

ValueError#

math.floor(x) + x DB^w*!c}5X,4!ZrHZ x Dns{}
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m 7. }'=( (x)

=( C(

math.frexp(x) + x D2} (m) M8} (e) w* (m, e) T5X#m G!

c},e G{},byUCzc x == m * 2**e#g{ x *

0,G4K=(+5X (0.0, 0),qr+5X 0.5 <= abs(m)

< 1#

math.fsum(iterable) 5X iterable P5D+7!c\M

math.isinf(x) li!c} x G};(=9G:;(=

math.isnan(x) li!c} x Gq* NaN(G}V)

math.ldexp(x, i) 5X x * (2**i)#K=(>JOG/} frexp D4/}#

math.modf(x) 5X x D!}M{}?V#b=va{<xP x D{E,

"R<G!c}#

math.trunc(x) 5XQXO* Integral D Real 5 x#

math.exp(x) 5X e**x

math.log(x[, base]) 5XTx(5 base *WD x DT}#g{48( base,

G4+5X x DT;T}#

math.log1p(x) 5X 1+x (base e) DT;T}

math.log10(x) 5XT 10 *WD x DT}

math.pow(x, y) 5X x D y N]#pow(1.0, x) M pow(x, 0.0) +<U5

X 1,49 x * 0 rG}V12GgK#

math.sqrt(x) 5X x D==y

}}'/}b,9a)K;)PCD}G/}(#BmPvKb)=(#

m 8. }G/}(

=( C(

math.acos(x) 5XT!Hm>D x D4`R

math.asin(x) 5XT!Hm>D x D4}R

math.atan(x) 5XT!Hm>D x D4}P

math.atan2(y, x) 5XT!Hm>D atan(y / x)#

math.cos(x) 5XT!Hm>D x D`R#

math.hypot(x, y) 5X78oC6} sqrt(x*x + y*y)#bGS-c=c (x,

y) Dr?D$H#

math.sin(x) 5XT!Hm>D x D}R

math.tan(x) 5XT!Hm>D x D}P

math.degrees(x) +GH x S!H*;*H

math.radians(x) +GH x SH*;*!H

math.acosh(x) 5X x D4+z`R5

math.asinh(x) 5X x D4+z}R5

math.atanh(x) 5X x D4+z}P5

math.cosh(x) 5X x D+z`R5

math.sinh(x) 5X x D+z`R5

math.tanh(x) 5X x D+z}P5
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9P=v}'#?#math.pi D5*}'#? pi#math.e D5*}'#? e#

9CG ASCII V{
*9CG ASCII V{,Python h*w7X+V{.`kMbk* Unicode#Z IBM SPSS Modeler P,Y(

Python E>IC UTF-8 xP`k,bG'VG ASCII V{Dj< Unicode `k#TBE>+4P`k,b

Gr* SPSS Modeler Q+ Python `kwhC* UTF-8#

+G,zIDZc+_P;}7Dj)#

j);}7,r* Python Q+V{.Vf5Tm*;* ASCII V{.#

Python (}ZV{.Vf50mS u V{0:4'V8( Unicode V{.Vf5:

b+4( Unicode V{.,"R+}7T>j)#

9C Python M Unicode G;vG#sDwb,|,vK>D5D6'#a)Km`TKwbxPK|j8i

\Di.MZ_J4#

< 3. msT>D|,G ASCII V{DZcj)

< 4. }7T>D|,G ASCII V{DZcj)
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frTsDLrhF

frTsDLrhFyZZLrP4(?jJb#MDEn#frTsDLrhFuYK`Lms"YxKz

kD4C#Python G;VfrTsDoT#T Python (eDTs_PBPXw:

v m]#?vTs<XkX;;,,"RXkITTKXwxPbT#is M is not bTICZK?D#

v 4,#?vTs<Xk\;f"4,#tT(}gVNM5}d?)ICZK?D#

v P*#?vTs<Xk\;&md4,#=(ICZK?D#

Python a)K'VfrTsDLrhFDBPXw:

v yZ`DTs4(#`GCZ4(TsD#e#TsG_PX*P*D}]a9#

v `,TLP#Python 'V%LPM`XLP#yP Python 5}=(<_P`,T,"RITIS`2G#

v _P~X}]Db0#Python Jm~XtT#~Xs,+;\(}`D=(S`b?CJb)tT#`5V

KCZ^D}]D=(#

(e`

Z Python `P,IT(ed?M=(#k Java ;,,zITZ Python PT?v4D~(r#i)(eNb

}?D+2`#rK,ITO* Python PD#i`FZ Java PDm~|#

Z Python P,`G9C class od(eD#class odDq=gB:

class name (superclasses): statement

r

class name (superclasses):
assignment
.
.
function
.
.

(e`1,zIT!qa)cvrcvTOD35od#b)35od+4(C`DyP5}2mD`tT#

z9ITa)cvrcvTOD/}(e#b)/}(e+4(=(#,`PmGI!D#

Z,;wCrP(4#i"/}r`P),`{&C(;#zIT+`vd?(e*}C,;`#

4(`5}

`CZ#f`(r2m)tT,r_CZ4(`5}#*4(3v`D5},k+C`w*/}xPwC#}

g,k<GTB`:

class MyClass:
pass

bo9CK pass od,r*h*;vod4jI`,+;h*T`L==4PNNYw#

TBod+4(` MyClass D5}:

x = MyClass()

r`5}mStT

k Java ;,,M'zITZ Python Pr`5}mStT#;P;v5}a"z|D#}g,*r5} x m

StT,kZC5}OhCB5:
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x.attr1 = 1
x.attr2 = 2

.

.
x.attrN = n

(e`tTM=(

NNs(Z`PDd?<G`tT#NNZ`P(eD/}<G=(#=(SU`D5}((#F* self)w

*Z;vTd?#}g,*(e;)`tTM=(,zITdkTBzk:

class MyClass
attr1 = 10 #class attributes
attr2 = "hello"

def method1(self):
print MyClass.attr1 #reference the class attribute

def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3 #make an alias for method3

Z`P,z&C9C`{^(yPT`tTD}C,}g MyClass.attr1#&C9C self d?^(yPT5

}tTD}C;}g self.text#Z`b?,z&C9C`{(}g MyClass.attr1)r9C`D5}(}g

x.attr1,dP x G`D5})^(yPT`tTD}C#Z`b?,&C9C`D5}^(yPT5}d?

D}C;}g x.text#

~Xd?

IT(}4((Cd?4~X}]#(Cd?;\I`TmxPCJ#g{zywq=* __xxx r __xxx_yyy

(4,xP=v0CB._)D{F,G4 Python bvw+T/rywD{FmS`{T4(~Xd?,}

g:

class MyClass:
__attr = 10 #private class attribute

def method1(self):
pass

def method2(self, p1, p2):
pass

def __privateMethod(self, text):
self.__text = text #private attribute

k Java ;,,Z Python PXk9C self ^(yPT5}d?D}C;4~,X9C this#

LP

S`xPLPD&\GfrTsDLrhFDy!#Python ,1'V%LPM`XLP#%LPm>;\fZ

;v,`#`XLPm>ITfZ`v,`#

LP(}Td{`.VS`45V#m` Python `<ITG,`#Z Python D Jython 5VP,;\S;v

Java `xP1SrdSLP#^ha),`#
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,`PDNNtTr=(2|,ZNNS`P,"R;*tTr=(4~X,`TmrNNM'zMIT9C

b)tTr=(#ITZNN;C9CS`DNN5},"RIT9C,`D5};bG`,T>}#b)X

w'V4CMaI)9#

>}

class Class1: pass #no inheritance

class Class2: pass

class Class3(Class1): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance
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Z 3 B Z IBM SPSS Modeler PxPE>`F

E>`M

Z IBM SPSS Modeler P,P 3 V`MDE>:

v wE>,CZXF%vwD4P"R|f"ZwP#

v ,ZcE>,CZXF,ZcDP*#

v @"ra0E>,ICZg`v;,Dw-w4P#

a)KZ IBM SPSS Modeler PDE>Z9CD`V=(,zIT9Cb)=(4CJwV SPSS Modeler &

\#mb,b)=(9ZZ 313DZ 4 B, :E>`F API; PCZ4(|_6D/}#

w",ZcwM<

Zs`}ivB,uowm>,;Z],xkwGSD~0k9GZ,ZcP9C^X#(#,|m>,SZ

;pDZcD/O,"RIT4P#+G,ZE>`FP,"GyPYwZNN;C<\'V,bb6EE>

w_&CKbdy9CDwde#

w

wGw*D IBM SPSS Modeler D5`M#IT#f"iR"`-M4Pw#w9IT_PN}"+V5"E

>T0d{k.X*DE"#

,Zcw

,ZcwG;VZ,ZcP9CDw`M#kU(w;y,||,4SZ;pDZc#,ZcwkU(w.d

fZ;)nl:

v N}0yPE>k,ZcwyZD,ZcxPX*,x;Gk,ZcwTmX*#

v ,Zcw_P=SDdkMdv,SwZc(_e!vZ,ZcD`M)#b),SwZcCZ+E"w

kMwv,Zcw,"RZ4(,Zc1T/4(#

<

uo<-GU(wM,Zcw'VD&\,}gmSM}%Zc,T0^DZc.dD,S#

4Pw

TB>}+KPwPDyPI4PZc,"R|Gnr%DwE>`M:

modeler.script.stream().runAll(None)

TB>}2+KPwPDyPI4PZc:

stream = modeler.script.stream()
stream.runAll(None)

ZK>}P,wf"Z{* stream Dd?P#+wf"Zd?PG#PC,r*E>(#CZ^DwrwP

DZc#4(CZf"wDd?+zI;v|Sr`DE>#
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E>`FOBD

modeler.script #ia)KZdP4PE>DOBD#K#i+ZKP1T/<k SPSS Modeler E>P#K

#i(eKTB 4 v/},b)/}a)ITCJd4P73DE>:

v session() /},CZ5XE>Da0#Ka0(eoT73HE"T0+CZKPNNwD SPSS Mod-

eler sK(>XxLr*x SPSS (#w~qw)#

v stream() /},K/}ITkwE>0,ZcE>dO9C#K/}+5X5P}ZKPDwE>r,Zc

E>Dw#

v diagram() /},K/}ITk,ZcE>dO9C#K/}+5X,ZcZD<#TZd{E>`M,K

/}5XDZ]k stream() /}`,#

v supernode() /},K/}ITk,ZcE>dO9C#K/}+5X5P}ZKPDE>D,Zc#

BmEvKbDv/}0ddv#

m 9. modeler.script /}**

E>`M session() stream() diagram() supernode()

@" 5Xa0 ZwCCE>15X1

0\\w(}g,(}

z&m== -stream !

n+]Dw)r

None#

k stream() `, ;JC

w 5Xa0 5Xw k stream() `, ;JC

,Zc 5Xa0 5Xw 5X,Zcw 5X,Zc

modeler.script #i9(eK;V9CKvkU9E>D==#exit(exit-code) /}+#94PE>"5X

ya)D{}Kvk#

*w(eDdP;V=(G runAll(List)#K=(+KPyPI4PZc#4PZc1zIDNN#Mrdv

<+mS=ya)DPmP#

w4P(#zI#MM<NHdvT0d{dv#*6qKdv,E>ITa);vu</*PmDd?,}

g:

stream = modeler.script.stream()
results = []
stream.runAll(results)

4PjIs,ITS results PmCJ4PyzIDNNTs#

}CVPZc

w(#G9C;)N}$H9(D,Z4Pw.0XkH^Db)N}#^Db)N}f0BPNq:

1. Z`XwPR=Zc#

2. |DZcM/rwhC#
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iRZc

wa)K`ViRVPZcD==#BmEvKb)=(#

m 10. iRVPZcD=(

=( 5X`M hv

s.findAll(type, label) /O 5X_P8(`MMj)DyPZcD

Pm#`Mrj)IT* None,ZbV

ivB+9Cd{N}#

s.findAll(filter, recursive) /O 5X8(}KwyS\DyPZcD/

O#g{]ij>* True,G49+Q

w8(wZDNN,Zc#

s.findByID(id) Zc 5X_Pya)j6DZcr None(g

{;fZK`Zc)#Qw6'^F*

10w#

s.findByType(type, label) Zc 5X_Pya)`MM /rj)DZ

c#`Mr{FIT* None,ZbVi

vB+9Cd{N}#g{P`vZc

%d,G4+!q"5XNb;vZ

c#g{;P%dDZc,G45X5

* None#

s.findDownstream(fromNodes) /O Sya)DZcPmPxPQw,"5

Xya)ZcBNDZc/O#5XD

Pm|(nua)DZc#

s.findUpstream(fromNodes) /O Sya)DZcPmPxPQw,"5

Xya)ZcONDZc/O#5XD

Pm|(nua)DZc#

}g,g{w|,E>h*CJD%v“}K”Zc,G4IT9CTBE>4R=C“}K”Zc:

stream = modeler.script.stream()
node = stream.findByType("filter", None)
...

mb,g{Q-*@ZcDj6(gZcT0rD“"M”!n(Py>),G4IT9CKj64iRZc,

}g:

stream = modeler.script.stream()
node = stream.findByID("id32FJT71G2") # the filter node ID
...

hCtT

Zc"w"#MMdv<_PITCJ"Zs`}ivBIThCDtT#b)tT(#CZ^DTsDP*

rb[#BmEvKICZCJMhCTstTD=(#

m 11. CZCJMhCTstTD=(

=( 5X`M hv

p.getPropertyValue(propertyName) Ts 5X8(tTD5r None(g{;fZ

KtT)#

p.setPropertyValue(propertyName,

value)

;JC hC8(tTD5#
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m 11. CZCJMhCTstTD=( (x)

=( 5X`M hv

p.setPropertyValues(properties) ;JC hC8(tTD5#tT<PD?vu

?<|,;vm>tT{D|,T0&

8(xCtTD5#

p.getKeyedPropertyValue(
propertyName, keyName)

Ts 5X8(tTD50X*D|r None

(g{;fZKtTr|)#

p.setKeyedPropertyValue(
propertyName, keyName, value)

;JC hC8(tTD5M|#

}g,g{*hC;ZwD*<;CD“d?D~”ZcD5,G4IT9CTBE>:

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUG1n")
...

r_,zI\#{y]“}K”Zc4}KVN#ZbVivB,9+y]VN{F|k5,}g:

stream = modeler.script.stream()
# Locate the filter node ...
node = stream.findByType("filter", None)
# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

4(ZcT0^Dw

Z3)ivB,zI\#{rVPwmSBZc#rVPwmSZc(#f0BPNq:

1. 4(Zc#

2. +Zc4S=VPw#

4(Zc

wa)K`V4(ZcD==#BmEvKb)=(#

m 12. 4(ZcD=(

=( 5X`M hv

s.create(nodeType, name) Zc 4(_P8(`MDZc"+dmS=

8(DwP#

s.createAt(nodeType, name, x, y) Zc 4(_P8(`MDZc"+dmS=

8(wPD8(;C#g{ x < 0 r y

< 0,G44hC;C#

s.createModelApplier(modelOutput,

name)

Zc 4(IzTya)D#MdvTsD#

M&CwZc#

}g,*ZwP4(BD“`M”Zc,zIT9CTBE>:

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")

26 IBM SPSS Modeler 16 Python E>`FMT//8O



4SM!{4SZc

ZwP4(BZc1,bvBZcXkH,S=ZcrP,;sEI9C#wa)K`V4SZcM!{4S

ZcD=(#BmEvKb)=(#

m 13. CZ4SM!{4SZcD=(

=( 5X`M hv

s.link(source, target) ;JC Z4Zck?jZc.d4(B4S#

s.link(source, targets) ;JC Z4Zckya)PmPD?v?jZ

c.d4(B4S#

s.linkBetween(inserted, source, tar-

get)

;JC ,S=vd{Zc5}(4ZcM?j

Zc).dDZc,"+QekZcD

;ChC*;Zb=vZc5}.d#

+WH}%4Zck?jZc.dDN

N1S4S#

s.linkPath(path) ;JC ZZc5}.d4(B76#Z;vZ

c+4S=Z~vZc,xZ~vZc

+4S=Z}vZc,@K`F#

s.unlink(source, target) ;JC }%4Zck?jZc.dDNN1S

4S#

s.unlink(source, targets) ;JC }%4Zck?jPmP?vTs.d

DNN1S4S#

s.unlinkPath(path) ;JC }%Zc5}.dfZDNN76#

s.disconnect(node) ;JC }%ya)Zck8(wPNNd{Z

c.dDNN4S#

s.isValidLink(source, target) <{5 g{Z8(D4Zck?jZc.d4

(4SGP'D,G4K=(+5X

True#K=(+lib=vTsGqt

Z8(w,4ZcGqITa)4ST

0?jZcGqITSU4S,"7O

4(K`4S;aZwP}p-7#

BfD>}E>+4P 5 nNq:

1. 4(“d?D~”dkZc"“}K”ZcM“m”dvZc#

2. +b)Zc,S=;p#

3. Z“d?D~”dkZcOhCD~{#

4. y]zIDdv}KVN“)7”#

5. 4P“m”Zc#

stream = modeler.script.stream()
filenode = stream.createAt("variablefile", "My File Input ", 96, 64)
filternode = stream.createAt("filter", "Filter", 192, 64)
tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)
stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
filternode.setKeyedPropertyValue("include", "Drug", False)
results = []
tablenode.run(results)
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<k"f;M>}Zc

k4(M,SZc;y,(#h*f;M>}wPDZc#BmEvKICZ<k"f;M>}ZcD=(#

m 14. CZ<k"f;M>}ZcD=(

=( 5X`M hv

s . r e p l a c e ( o r i g i n a l N o d e ,

replacementNode, discardOriginal)

;JC f;8(wPD8(Zc#-<ZcM

f;Zc<XktZ8(w#

s.insert(source, nodes, newIDs) Pm Zya)DPmPekZcD1>#Y

(ya)PmPDyPZc<|,Z8

(wP#newIDs j>8>&C*?vZ

czIBj6,9G&C4F"9CV

Pj6#Y(wPyPZc<_P(;

j6,byZ4wk8(w`,Div

B,Xk+Kj>hC* True#K=(

+5XBekZcDPm,KPmP4

(eZcD3r(4,3r;;(kd

kPmPZcD3r`,)#

s.delete(node) ;JC S8(wP>}8(Zc#CZcXk

tZ8(w#

s.deleteAll(nodes) ;JC S8(wP>}yP8(Zc#/OP

DyPZc<XktZ8(w#

s.clear() ;JC S8(wP>}yPZc#

izwPDZc

j6X(ZcONrBNDZcG;n#{hs#wa)K;)ICZj6b)ZcD=(#BmEvKb)

=(#

m 15. CZj6ONZcMBNZcD=(

=( 5X`M hv

s.iterator() |zw 5XkT8(wP|,DZcTsD|

zw#g{Z next() /}D=NwC

.dTwxPK^D,G4+!{(e

|zwDP*#

s.predecessorAt(node, index) Zc(N) 5Xya)ZcD8(1S0wr None

(g{w},v6')#

s.predecessorCount(node) int 5Xya)ZcD1S0w}#

s.predecessors(node) Pm 5Xya)ZcD1S0w#

s.successorAt(node, index) Zc(N) 5Xya)ZcD8(1SsLr None

(g{w},v6')#

s.successorCount(node) int 5Xya)ZcD1SsL}#

s.successors(node) Pm 5Xya)ZcD1SsL#
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q!ZcD`XE"

ZcV*`V;,D`p,}g}]<kM<vZc"#M9(ZcMd{`MDZc#?vZc<a)K;

)ICZiRCZcD`XE"D=(#

BmEvKICZq!ZcDj6"{FMj)D=(#

m 16. CZq!ZcDj6"{FMj)D=(

=( 5X`M hv

n.getLabel() V{. 5X8(ZcDT>j)#;PZtT

custom_name GGUV{."RtT

use_custom_name 4xPhCDiv

B,j)EG0;tTD5;qr,j

)G getName() D5#

n.setLabel(label) ;JC hC8(ZcDT>j)#g{Bj)

*GUV{.,G4a+d8(xtT

custom_name,"Ra+ False 8(x

tT use_custom_name,T98(Dj

)EH;qr,a+UV{.8(xt

T custom_name,"+ True 8(xt

T use_custom_name#

n.getName() V{. 5X8(ZcD{F#

n.getID() V{. 5X8(ZcDj6#?N4(BZc

1<a4(;vBj6#+Zcw*w

DiI?VxP#f1,j6+fZc

;pVCf",TcZr*w1#tZ

cj6#+G,g{+Q#fDZce

kwP,G4a+QekDZcS*B

Ts"*dVd;vBj6#

BmEvKICZq!ZcDd{`XE"D=(#

m 17. CZq!ZcD`XE"D=(

=( 5X`M hv

n.getTypeName() V{. 5XKZcDE>`F{F#K{F4

*ICZ4(CZcDB5}D{F#

n.isInitial() <{5 g{KZcGu<Zc(4,;ZwD

*<;CDZc),G4K=(+5X

True#

n.isInline() <{5 g{KZcGZ6Zc(4,;ZwP

?DZc),G4K=(+5X True#

n.isTerminal() <{5 g{KZcGUKZc(4,;ZwD

ax;CDZc),G4K=(+5X

True#

n.getXPosition() {} 5XZcZwPD x ;C+F?#

n.getYPosition() {} 5XZcZwPD y ;C+F?#

n.setXYPosition(x, y) ;JC hCZcZwPD;C#
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m 17. CZq!ZcD`XE"D=( (x)

=( 5X`M hv

n.setPositionBetween(source, tar-

get)

;JC hCZcZwPD;C,T9d;Zy

a)DZc.d#

n.isCacheEnabled() <{5 g{QtC_Y:f,G4K=(+5

X True,qr+5X False#

n.setCacheEnabled(val) ;JC TKTstCr{C_Y:f#g{_

Y:fQz"R_Y:f&\xk{C

4,,G4_Y:f+xPeV#

n.isCacheFull() <{5 g{Q{C_Y:f,G4K=(+5

X True,qr+5X False#

n.flushCache() ;JC eUKZcD_Y:f#g{_Y:f

4tCr_4z,G4K=(;pNN

wC#

30 IBM SPSS Modeler 16 Python E>`FMT//8O



Z 4 B E>`F API

E>`F API ri
E>`F API a)TwV;,D SPSS Modeler &\DCJ#?0hvDyP=(G API DiI?V,IT

ZE>Z~=XCJb)=(x;4Px;=D<k#+G,g{*}C API `,G4Xk9CTBodT=

<k API:

import modeler.api

K<kodGm`E>`F API >}yXhD#

>}:9C(F}KwQwZc

Z 253D:iRZc;;Za)KXZ9CZcD`M{Fw*Qwu~ZwPQwZcD>}#Z3)i

vB,h*4P|S(CDQw,"RKQXI9C NodeFilter `Mw findAll() =(45V#bVQw|

(TB=v=h:

1. 4(CZ)9 NodeFilter "5V accept() =(D(Ff>DB`#

2. 9CKB`D5}4wCw findAll() =(#b+5XyPzc accept() =(P(eDu~DZc#

TB>}T>gNZwPQwQtCZc_Y:fDZc#y5XDZcPmICZeUr{Cb)ZcD_

Y:f#

import modeler.api

class CacheFilter(modeler.api.NodeFilter):
"""A node filter for nodes with caching enabled"""
def accept(this, node):
return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findAll(CacheFilter(), False)

*}]:XZ}]DE"

IZZcZwP,SZ;p,rKa)KXZZwvZca)DPrVNDE"#}g,Z Modeler UI P,

b+9z\;!qw*Errc\@]DVN#KE"F*}]#M#

mb,E>9IT(}i4+kr+vZcDVN4CJ}]#M#TZ3)Zc,dk}]#Mkdv}]

#M`,,}g,ErZcvCZTG<xPXBEr,x;|D}]#M#3)Zc(}g“Iz”Zc)I

TmSBVN#d{Zc(}g“}K”Zc)ITX|{r}%VN#

ZBfD>}P,E>ICj< IBM SPSS Modeler druglearn.str w,"*?vVN<9(;v>}KdP

;vdkVND#M#|(}TB}L4jIKYw:

1. S“`M”ZcCJdv}]#M#

2. Tdv}]#MPDwvVNxPiz#

3. kTwvdkVN^D“}K”Zc#

4. |Dy9(D#MD{F#

5. KP#M9(Zc#
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":kG!,Z druglean.str wPKPE>.0,kH+E>`FoThC* Python(CwZH0f>D IBM

SPSS Modeler P4(,rKwE>`FoThC*IE>`FoT)#

import modeler.api

stream = modeler.script.stream()
filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)
# Always use a custom model name
c50node.setPropertyValue("use_model_name", True)

lastRemoved = None
fields = typenode.getOutputDataModel()
for field in fields:

# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:

continue

# Re-enable the field that was most recently removed
if lastRemoved != None:

filternode.setKeyedPropertyValue("include", lastRemoved, True)

# Remove the field
lastRemoved = field.getColumnName()
filternode.setKeyedPropertyValue("include", lastRemoved, False)

# Set the name of the new model then run the build
c50node.setPropertyValue("model_name", "Exclude " + lastRemoved)
c50node.run([])

DataModel Tsa)K`VCZCJXZ}]#MZDVNrPDE"D=(#BmEvKb)=(#

m 18. CZCJXZVNrPDE"D DataModel Ts=(

=( 5X`M hv

d.getColumnCount() int 5X}]#MPDP}#

d.columnIterator() |zw 5X;v|zw,CZT“T;”ek3

r5XwP#K|zw+5XP5}#

d.nameIterator() |zw 5X;v|zw,CZT“T;”ek3

r5XwPD{F#

d.contains(name) <{5 g{K DataModel PfZ_P8({F

DP,G4K=(5X True,qr,5

X False#

d.getColumn(name) Column 5X_P8({FDP#

d.getColumnGroup(name) ColumnGroup 5X8(DPir None(g{;fZb

yDPi)#

d.getColumnGroupCount() int 5XK}]#MPDPiw#

d.columnGroupIterator() |zw 5X;v|zw,CZ@N5XwvP

i#

d.toArray() Column[] +}]#Mw*PsP5X#P4d“

T;”ek3rxPEr#

?vVN(PTs)<a)K`VCZCJXZPDE"D=(#BmPvKdP;)=(#
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m 19. CZCJXZPDE"DPTs=(

=( 5X`M hv

c.getColumnName() string 5XPD{F#

c.getColumnLabel() string 5XPDj)rUV{.(g{;fZ

kCPX*Dj))#

c.getMeasureType() MeasureType 5XPDH?`M#

c.getStorageType() StorageType 5XPDf"`M#

c.isMeasureDiscrete() <{5 5X True(g{PG@"D)#w*/

Orj>DP+;Sw@"DP#

c.isModelOutputColumn() <{5 5X True(g{PG#MdvP)#

c.isStorageDatetime() <{5 5X True(g{PDf"*1d"UZ

r1dAG5)#

c.isStorageNumeric() <{5 5X True(g{PDf"*{}r5

})#

c.isValidValue(value) <{5 5X True(g{8(D5TZKf"P

')M valid(g{P'DP5Q

*)#

c.getModelingRole() ModelingRole 5XPD(#G+#

c.getSetValues() Object[] 5XPDP'5sPr None(g{54

*r_P;G/O)#

c.getValueLabel(value) string 5XPPD5Dj)rUV{.(g{

;fZkC5X*Dj))#

c.getFalseFlag() Ts 5XPD“false”8j5r None(g{5

4*r_P;Gj>)#

c.getTrueFlag() Ts 5XPD“true”8j5r None(g{5

4*r_P;Gj>)#

c.getLowerBound() Ts 5XPPD5DB^5r None(g{5

4*r_P;,x)#

c.getUpperBound() Ts 5XPPD5DO^5r None(g{5

4*r_P;,x)#

k"b,s`}CZCJXZPDE"D=(<Z DataModel Ts>mP(eKH'=(#}g,BP=vo

dGH'od:

dataModel.getColumn("someName").getModelingRole()
dataModel.getModelingRole("someName")

CJQzIDTs

4P3vw(#f0zI=SdvTs#b)=STsI\GB#M,2I\Ga)*Zsx4PP9CDE

"Ddv#

ZTB>}P,druglearn.str wYNCwwDp<c#ZK>}P,+4PwPDyPZc,"Ra{+f

"ZPmP#;s,E>+izb)a{,"R4PyzzDNN#Mdv<+#f* IBM SPSS Modeler #

M (.gm) D~,x#M+T PMML q=<v#

import modeler.api

stream = modeler.script.stream()
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# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAll(models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunner()
for model in models:

# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelOutput)):

continue

label = model.getLabel()
algorithm = model.getModelDetail().getAlgorithmName()

# save each model...
modelFile = modelFolder + label + algorithm + ".gm"
taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...
modelFile = modelFolder + label + algorithm + ".xml"
taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

NqKPw`a)K;VKPwn#{NqDc]==#BmEvKK`Pa)D=(#

m 20. CZ4P#{NqDNqKPw`=(

=( 5X`M hv

t.createStream(name, autoConnect,

autoManage)

w 4("5XBDw#k"b,XkT;

+*==4(wx;rC'T>b)w

Dzk&C+ autoManage j>hC*

False#

t.exportDocumentToFile(
documentOutput, filename,
fileFormat)

;JC 9C8(DD~q=+whv<vAD

~#

t.exportModelToFile(modelOutput,

filename, fileFormat)

;JC 9C8(DD~q=+#M<vAD

~#

t.exportStreamToFile(stream, file-

name, fileFormat)

;JC 9C8(DD~q=+w<vAD~#

t.insertNodeFromFile(filename, dia-

gram)

Zc S8(D~PA!"5XZc,;s+

dekya)D<P#k"b,K=(

ICZ,1A!ZcTsM,ZcT

s#

t.openDocumentFromFile(filename,

autoManage)

D5dv S8(D~A!"5XD5#

t.openModelFromFile(filename,

autoManage)

#Mdv S8(D~A!"5X#M#

t.openStreamFromFile(filename,

autoManage)

w S8(D~A!"5Xw#

t.saveDocumentToFile(
documentOutput, filename)

;JC +D5#f=8(DD~;C#

t.saveModelToFile(modelOutput, file-

name)

;JC +#M#f=8(DD~;C#
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m 20. CZ4P#{NqDNqKPw`=( (x)

=( 5X`M hv

t.saveStreamToFile(stream, file-

name)

;JC +w#f=8(DD~;C#

&mms

Python oTa)K(} try...except zki4PDms&m=(#ITZE>Z9CK=(46ql#,"

&m+<BE>U9DJb#

ZTB>}E>P,Q"TS IBM SPSS Collaboration and Deployment Services Repository Plw#M#K

YwI\a<BWvl#,}gI\4}7hCf"bG<>$r_f"b76ms#ZKE>P,bI\a

<BWv ModelerException(IBM SPSS Modeler zIDyPl#<IzT modeler.api.ModelerException)#

import modeler.api

session = modeler.script.session()
try:

repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"

except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

":3)E>`FYwI\a<BWvj< Java l#;b)l#"GIzT ModelerException#*6qb)

l#,IT9C=SD except i46qyP Java l#,}g:

import modeler.api

session = modeler.script.session()
try:

repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"

except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

w"a0M,ZcN}

N}a)K;VZKP1+]5x;GZE>P1STb)5xP2`kDPC==#N}0d5D(e==

kw`,,4(e*wr,ZcDN}mPDu?r|nPPDN}#w`M,Zc`5VK;iI

ParameterProvider Ts(eD/},gBmy>#a0a)K getParameters() wC,KwC+5X(eb)

/}DTs#

m 21. I ParameterProvider Ts(eD/}

=( 5X`M hv

p.parameterIterator() |zw 5XKTsDN}{D|zw#
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m 21. I ParameterProvider Ts(eD/} (x)

=( 5X`M hv

p.getParameterDefinition(
parameterName)

N}(e 5X_P8({FDN}DN}(er

None(g{Ka)LrP;fZK`N

})#a{ITGwCK=(1D(e

lU,"R;h*43(}Ka)Lr

TCN}xPDNNsx^D#

p.getParameterLabel(parameterName) V{. 5X8(N}Dj)r None(g{;f

ZK`N})#

p.setParameterLabel(parameterName,

label)

;JC hC8(N}Dj)#

p.getParameterStorage(
parameterName)

N}f" 5X8(N}Df"r None(g{;f

ZK`N})#

p.setParameterStorage(
parameterName, storage)

;JC hC8(N}Df"#

p.getParameterType(parameterName) N}`M 5X8(N}D`Mr None(g{;f

ZK`N})#

p.setParameterType(parameterName,

type)

;JC hC8(N}D`M#

p.getParameterValue(parameterName) Ts 5X8(N}D5r None(g{;fZ

K`N})#

p.setParameterValue(parameterName,

value)

;JC hC8(N}D5#

ZTB>}P,E>c\K;) Telco }]TiR_PnM=yUk}]Dxr#;s,+9CKxrhC;

vwN}#SB4,+Z“!q”ZcP9CCwN}S}]PE}Kxr,;sy]#`D}]9(w'#

M#

K>}";f5,bGr*E>>mzIK“!q”Zc,"rKQ-Z“!q”Zcmo=P1SzI}7D

5#+G,w(#G$H9(D,rK(}bV==hCN}a)KPCD>}#

>}E>DZ;?VCZ4(wN},CwN}+|,=yUknMDxr#mb,KE>9+Zc\V'M

#M9(V'P4(Zc,"+b)Zc,SZ;p#

import modeler.api

stream = modeler.script.stream()

# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)
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selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")
# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "’region’ = ’$P-LowestRegion’")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

K>}E>+4(TBw#

>}E>DTB?VCZ4P;Zc\V')2D“m”Zc#

# First execute the table node
results = []
tablenode.run(results)

>}E>DTB?VCZCJ4P“m”ZcyzIDmdv#fs,KE>+TmPDwP4P|z,TiR

=yUknMDxr#

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()
min_income = 1000000.0
min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:

if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)

row += 1

< 5. >}E>zIDw
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E>DTB?V9C=yUknMDxr4hCH04(D“LowestRegion”wN}#;s,ZS57}]PE

}K8(xrDivB,KE>+KP#M9(w#

# Check that a value was assigned
if min_region != None:

stream.setParameterValue("LowestRegion", min_region)
else:

stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

j{D>}E>gBy>#

import modeler.api

stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")
# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "’region’ = ’$P-LowestRegion’")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()
min_income = 1000000.0
min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
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if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)

row += 1

# Check that a value was assigned
if min_region != None:

stream.setParameterValue("LowestRegion", min_region)
else:

stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

+V5

+V5CZFc8(VNDwnc\3F#ITZwZ?DNN;CCJb)c\5#ZwP,IT4{FC

J+V5,b;ckwN}`F#+V5kwN}DnlZZ,X*5+Z“hC+V5”ZcKP1T/xP

|B,x;G(}E>`Fr|nP48(#IT(}wCwD getGlobalValues() =(4CJCwD+V5#

GlobalValues Ts(eBmPT>D/}#

m 22. GlobalValues Tsy(eD/}

=( 5X`M hv

g.fieldNameIterator() |zw 5XAY_P;v+V5D?vVN{

FD|zw#

g.getValue(type, fieldName) Ts 5X8(`MMVN{FD+V5r

None(g{R;=5)#d;44D&

\I\a5XwV5`M,+(#Z{

5X5*}V#

g.getValues(fieldName) < 5X|,8(VN{FDQ*u?D<

r None(g{CVN;PVPu?)#

GlobalValues.Type (eICDc\3FD`M#ICDc\3FgB:

v MAX:VNDns5#

v MEAN:VNDy5#

v MIN:VNDn!5#

v STDDEV:VNDj<n#

v SUM:VNP5D\M#

}g,TBE>+CJ“Uk”VNDy5,Ky5I“hC+V5”ZcFc:

import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")

9C`vw - @"E>
*9C`vw,Xk9C@"E>#ITZ IBM SPSS Modeler UI Z`-MKP@"E>,2ITZz&m

==B+@"E>w*|nPN}xP+]#

TB@"E>+r*=vw#dP;vwCZ9(#M,xZ~vwCZfF$b5DV<#
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# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/16/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunner()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)
results = []
c50node.run(results)

# Now open the plot stream, find the Na_to_K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)
histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram
applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applyc50.setPositionBetween(derivenode, histogramnode)
plotstream.linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")
histogramnode.run([])

# Finally, tidy up the streams
buildstream.close()
plotstream.close()
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Z 5 B E>`4<I

>Za)K9CE>D<IM=(Ev,dP|(^Dw4PT0ZE>P9C-}`kD\k#

^Dw4P

KPw1,+41!iNBDE/3r44PdUKZc#3)ivB,zI\|26Td{3r44P#*

^DwD4P3r,kZwtTT0rD“4P”!n(OjITB=h:

1. r*;vUE>#

2. %w$_8OD7S1!E>4%4mS1!wE>#

3. +1!wE>PodD3r|D*z#{D4P3r#

9C#M

g{Z IBM SPSS Modeler PtCKT/#Mf;,G4+(} IBM SPSS Modeler C'gf4P#M9(

wZc,4S=#M9(wZcDVP#Mi+IB#Mif;#g{9CE>4PK#M9(wZc,G4

;af;VPQ4SD#Mi#*f;VP#Mi,XkZE>Pw78(iDf;#

zIS\\k

3)ivB,I\h*ZE>P|,\k,}g,zI\h*CJ\\k#$D}]4#S\\kICZ:

v }]b4MdvZcDZctT

v G<=~qwD|nPTd?

v f"Z .par D~(I<vZcD“"<”!n(zIDN}D~)PD}]b,StT

(}KC'gf,IT9C;v$_y] Blowfish c(4zIS\\k(PXj8E",kND http://

www.schneier.com/blowfish.html)#xP`ks,IT4F\k"+df"=E>D~M|nPTd?P#C

Z database M databaseexport DZctT epassword DwCGf"-}`kD\k#

1. *zIS\\k,kS“$_”K%P!q:

T\kxP`k...

2. Z“\k”D>rP8(;v\k#

3. %w`k,Tc*zD\kzIfz`k#

4. %w“4F”4%,Tc+-}`kD\k4F=tye#

5. +K\k3y=yhDE>rN}P#

E>li

(}%w“@"E>”T0r$_8ODl+li4%,ITlYliyP`ME>Do(#
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E>li+Mz`kPDms"v/("xvDx(i#*i4msP,k%wCT0rBk?VD4!#K

1+Tl+;vT>ms#

S|nP`4E>

(}`4E>ITKP(#ZC'gfP4PDYw#t/ IBM SPSS Modeler 1,;hZ|nPP8(MK

P;v@"w#

}g:

client -script scores.py -execute

-script jGm>0k8(E>,x -execute jGm>4PCE>D~PDyP|n#

8(D~76

8(?<MD~DD~761,zIT9C%v}1\ (/) r=v41\ (\\) w*?<Vt{,}g:

c:/demos/druglearn.str

r

c:\\demos\\druglearn.str

kgZf>Df]T

(#,Z;xP|DDivB,IBM SPSS Modeler D0"PfP4(DIE>&1ITZ10"PfP}#

KP#*9b)E>}#KP,XkZ“wtT”T0rr“@"E>”T0rPDwE>!n(O!qI#V

Z,ITT/+#MiekwP(K*1!hC),"b)#MiIfzr9dwPC`MDVP#Mi#5

J"zDP*!vZ+#MmS=wPMf;-P#M!n($_ > !n > C'!n > (*)DhC#}

g,zI\h*^DT0f>PDE>,ZCf>P#Mif;G(}>}VP#Mi"ekBD#Mi4j

I#

Z10f>P4(DE>ZT0Df>PI\^(}#KP#

Z10"PfP4(D Python E>+^(ZH0D"PfP}#KP#

g{ZIf>P4(DE>9CKQ;f;(r;;'V)D|n,G49CIN=|nDE>T;aC='

V,++T>;u/f{"#}g,ID generated X|VQ; model f;,R clear generated Q; clear

generated palette f;#XCIN=DE>T;ITKP,++T>;u/f{"#

< 6. wE>$_8<j
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Z 6 B |nPTd?

wCm~

zIT9CYw53D|nP4gBt/ IBM SPSS Modeler:

1. Z20K IBM SPSS Modeler DFczO,r* DOS r|na>{0Z#

2. *T;%==t/ IBM SPSS Modeler gf,kdk modelerclient |n,;sdkyhDN};}g:

modelerclient -stream report.str -execute

ICN}(jG)Jmz,S=~qw"0kw"KPE>ry]h*8(d{N}#

|nPTd?D9C

zIT+|nPTd?(2F*jG)=S=nuD modelerclient |nT|DT IBM SPSS Modeler Dw

C#

fZ`VICD|nPTd?`M,>ZDfsZ]+TdxPhv#

m 23. |nPTd?`M.

Td?`M hv;C

53Td? PX|`E",kNDZ 443D:53Td?;wb#

N}Td? PX|`E",kNDZ 453D:N}Td?;wb#

~qw,STd? PX|`E",kNDZ 453D:~qw,STd?;w

b#

IBM SPSS Collaboration and Deployment Services Reposi-

tory ,STd?

PX|`E",kNDZ 463D:IBM SPSS Collaboration

and Deployment Services Repository ,STd?;wb#

}g,IT9C -server"-stream M -execute jG4,S=~qw,;s0k"KPw,gBy>:

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

k"b,kT>XM'z20KP1,;h*8(~qw,STd?#

ITC+}E(p|,UqDN}5,}g:

modelerclient -stream mystream.str -Pusername="Joe User" -execute

mb,9IT9C -script j>4(}K==4P IBM SPSS Modeler E>#

wT|nPTd?

*wT|nP,k9C modelerclient |nZ8(yhTd?DivBt/ IBM SPSS Modeler#byITi

$|nGq+4Z{==4P#mb,z9ITZ“a0N}”T0r(“$_”K% ->“hCa0N}”)PT(

}|nP+]DNNN}D5xP7O#
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53Td?

BmhvICZC'gf|nPwCD53Td?#

m 24. 53Td?

Td? P*/hv

@ <commandFile> @ {EszD~{,KD~CZ8(|nPm#1 modelerclient v=T @ *7DN

}1,|+ZCD~PT|nxPYw,Mg,Z|nPP;y#PX|`E",kND

Z 473D:iO`vN};wb#

-directory <dir> hC1!$w?<#Z>X#=B,C?<+,1CZ}]YwMdv#>}:-direc-

tory c:/ or -directory c:\\

-server_directory <dir> *}]hC1!~qw?<#(} -directory jG8(D$w?<+CZdv#

-execute Zt/s4Pt/1y0kDw"4,rE>#g{Zwr4,.b90kKE>,G4

E>+%@4P#

-stream <stream> t/10k8(Dw#IT8(`vw,+Gns;v8(Dw+;hC*10w#

-script <script> t/10k8(D@"E>#gByv,}wr4,.b,KjG9ICZ8(E>,+

Zt/1vI0k;vE>#g{E>D~s:* .py,G4+Y(CD~* Python E

>,qr+Y(|*IE>#

-model <model> Zt/10k8(DQzI#M(.gm q=DD~)#

-state <state> Zt/1,0k8(DQ#f4,#

-project <project> 0k8($L#Zt/1vI0k;v$L#

-output <output> Zt/10kQ#fDdvn?(.cou q=DD~)#

-help T>|nPTd?Pm#8(K!ns,+vTyPd{N}"T>ozA;#

-P <name>=<value> CZhCt/N}#mb,9ICZhCZctT([N})#

-scriptlang <python | legacy> KN}ICZ8(k -script !nX*DE>oT,xkE>D~s:^X#

>}

client -scriptlang python -script scores.txt -execute

b+9C Python KPya)DE>D~,49D~s:;G .py 2GgK#

"b:2ITZC'gfPhC1!?<#*CJOv!n,kZ“D~”K%P!qhC$w?<rhC~q

w?<#

0k`vD~

|nP#=B,zIT(}Zt/1X4dk?v0kTsD`XN}40k`vw"4,Mdv#}g,*

0kMKP=vF* report.str M train.str Dw,zIT9CgB|n:

modelerclient -stream report.str -stream train.str -execute

S IBM SPSS Collaboration and Deployment Services Repository 0kTs

r*ITS3vD~r IBM SPSS Collaboration and Deployment Services Repository(g{QqmI)0kX

(Ts,IT9CD~{0: spsscr: T0!qTX9C file:(TZELODTs)48> IBM SPSS Mod-

eler Z24;CiRTs#0:IkTBjGdO9C:

v -stream

v -script

v -output
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v -model

v -project

zIT9C0:4( URI T8(TsD;C,}g -stream "spsscr:///folder_1/scoring_stream.str"#g

{8(K spsscr: 0:,G4*sQZ,;|nP8(KP'D IBM SPSS Collaboration and Deployment Ser-

vices Repository ,S#rK,j{D|n&NgTBD>}:

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

"b,Z|nPP Xk9C URI#;'Vq REPOSITORY_PATH byDr%76#(KV76vJCZE>#)

N}Td?

N}ICwZ IBM SPSS Modeler D|nP4PZdDjG#Z|nPTd?P,-P jGCZm>Ng -P

<name>=<value> DN}#

N=N}ITG:

v r%N}

v [N},2F*ZctT#K`N}CZ^DwPwvZcDhC#kNDwbZ 50 3D:ZctTE

v;Tq!|`E"#

v |nPTd?,CZ|DT IBM SPSS Modeler DwC#

}g,zITa)}]4C'{M\kw*|nPj>,gBy>:

modelerclient -stream response.str -P:database.datasource={"ORA 10gR2", user1, mypsw, true}

q=k database ZctTD datasource N}`,#kNDwbZ 583D:database ZctT;Tq!|`

E"#

~qw,STd?

-server jG8> IBM SPSS Modeler &,S=+2~qw,jG -hostname"-use_ssl"-port"-username"-

password M -domain CZ8> IBM SPSS Modeler gN,S=+2~qw#g{48( -server N},G4

9C1! r>X ~qw#

>}

,S=+2~qw:

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

,S=~qw/::

modelerclient -server -cluster "QA Machines" \
-spsscr_hostname pes_host -spsscr_port 8080 \
-spsscr_username asmith -spsscr_epassword xyz

k"b,,S=~qw/:h*(}Z{v IBM SPSS Collaboration and Deployment Services P9C}L-

ww,rK -cluster N}Xkkf"b,S!n (spsscr_*) aO9C#PX|`E",kNDZ 463D

: I B M S P S S C o l l a b o r a t i o n a n d D e p l o y m e n t S e r v i c e s R e p o s i t o r y ,STd?;wb#
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m 25. ~qw,STd?.

Td? P*/hv

-server T~qw#=KP IBM SPSS Modeler,,19Cj> -hostname"-port"-username"-

password M -domain ,S=+2~qw#

-hostname<name> ~qwDwz{#vZ~qw==BIC#

-use_ssl 8(,S&9C SSL(2+WSVc)#KjG*I!n,1!hC*;9C SSL#

-port<number> y8(~qwDKZE#vZ~qw==BIC#

-cluster<name> 8(8r~qw/:(x;GQ|{D~qw)D,S;KN}IC4fz hostname"

port M use_ssl N}#{F*[`{,rj6 IBM SPSS Collaboration and Deploy-

ment Services Repository P[`D(; URI#~qw/:I IBM SPSS Collaboration

and Deployment Services PD}L-ww\m#PX|`E",kND:IBM SPSS Col-

laboration and Deployment Services Repository ,STd?;wb#

-username<name> bGCZG<~qwDC'{#vZ~qw==BIC#

-password<password> bGCZG<~qwD\k#vZ~qw==BIC#"b:g{49C -password T

d?,G453+a>zdk\k#

-epassword<encodedpasswordstring> bGCZG<~qwD-}`kD\k#vZ~qw==BIC#"b:IT(} IBM

SPSS Modeler &CLrD“$_”K%zI-}`kD\k#

-domain<name> bGCZG<~qwDr#vZ~qw==BIC#

-P <name>=<value> CZhCt/N}#mb,9ICZhCZctT([N})#

IBM SPSS Collaboration and Deployment Services Repository ,ST
d?

"b:CJ IBM SPSS Collaboration and Deployment Services f"bh*%@DmI$#PX|`E",k

NDhttp://www.ibm.com/software/analytics/spss/products/deployment/cds/#

g{k(}|nP4f"rlw IBM SPSS Collaboration and Deployment Services PDTs,G4Xk8(

;v8rC IBM SPSS Collaboration and Deployment Services Repository DP',S#}g:

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

BmPvKICZ(",SDTd?#

m 26. IBM SPSS Collaboration and Deployment Services Repository ,STd?

Td? P*/hv

-spsscr_hostname <hostname or IP address> 20 IBM SPSS Collaboration and Deployment Services Repository D~qw

Dwz{r IP X7#

-spsscr_port <number> IBM SPSS Collaboration and Deployment Services Repository S\,SDK

ZE((#,1!5* 8080)#

-spsscr_use_ssl 8(,S&9C SSL(2+WSVc)#KjG*I!n,1!hC*;9C

SSL#

-spsscr_username<name> G<= IBM SPSS Collaboration and Deployment Services Repository DC'

{#

-spsscr_password<password> G<= IBM SPSS Collaboration and Deployment Services Repository D\k#

-spsscr_epassword<encoded password> G<= IBM SPSS Collaboration and Deployment Services Repository DS\

\k#
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m 26. IBM SPSS Collaboration and Deployment Services Repository ,STd? (x)

Td? P*/hv

-spsscr_domain<name> G<= IBM SPSS Collaboration and Deployment Services Repository y9C

Dr#Kj>GI!n,}Gz9C LDAP r Active Directory xPG<,

qrkp9CKj>#

iO`vN}

(}9CszD~{D @ {E,ITZwC18(D%v|nD~PiO9C`vTd?#b9z\;uL

|nPwC,"RITK~Yw53Z|n$H=fD^F#}g,TBt/|n9CK <commandFileName >

D}CD~PD8(N}#

modelerclient @<commandFileName>

g{hCUq,G4kC}E+|nD~DD~{M76(p4,gBy>:

modelerclient @ "C:\Program Files\IBM\SPSS\Modeler\nn\scripts\my_command_file.txt"

|nD~IT|,H0Zt/1pv8(DyPTd?,"R?vTd?w<;P#}g:

-stream report.str
-Porder.full_filename=APR_orders.dat
-Preport.filename=APR_report.txt
-execute

14kM}C|nD~1,Xkq-TB^F:

v ?u|nw<;P#

v ;*Z|nD~P6k @CommandFile N}#
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Z 7 B tTN<E"

tTN<E"Ev

IT*Zc"w",ZcM$L8(`v;,DtT#3)tTZyPZcP(C,}g“{F”"“"M”M“

$_a>”,P)tTr;kT3)X(DZc`M#d{tT30_6wYw,}g_Y:fr“,Zc”P

*#I(}j<C'gf(}g1r*T0r`-Zc!n1)CJtT,9IT`Vd{==9CtT#

v I(}E>^DtT(g>Byv)#PX|`E",kNDZ 253D:hCtT;#

v IZ“,Zc”N}P&CZctT#

v t/ IBM SPSS Modeler 1,ZctT9ICw|nP!n(9C -P jG)D;?V#

Z IBM SPSS Modeler DE>`FOBDP,ZctTMwtT(#F*[N}#Z>8OP,|G8DGZ

crwDtT#

PXE>`4oTDj8E",kNDZ 113DZ 2 B, :E>oT;#

u4

ZZctTo(P9Cj<u4#Kbu4PzZ9(E>#

m 27. o(P9CDj<u4.

u4 ,e

abs xT5

len $H

n! n!5

ns ns5

correl `X

covar -=n

num }Vr}5

pct YVH

transp 8wH

xval ;fi$

d? =nrd?(4ZcP)

ZcMwtT>}

Z IBM SPSS Modeler PITwV==9CZcMwtT#K`tT-#CwE>D;?V,w* @"E>

D;?VCT5V`vwrYwDT//;rCw wE> D;?VCT5V%vwZ?D}LT//#9I

(}Z“,Zc”Z9CZcN}48(ZcN}#Mny!D.=xT,tT9ICw|nP!n4t/ IBM

SPSS Modeler#+ -p N}Cw|nPwCD;?V1,IT9CwtT4|DwhC#

kNDwbZ 353D:w"a0M,ZcN};MZ 443D:53Td?;Tq!|`E>`F>}#
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ZctTEv

?V`MDZc<_PT:D;iO(tT,"R?vtT<_P`M#K`MITG;c`M(}V"j>

rV{.),ZbVivB,tThC+?F*;*}7`M#g{^(xP?F*;,G4+"zms#m

b,(}tT}CIT8(O(5D6',}g Discard"PairAndDiscard M IncludeAsText,K1g{IC

d{5,G4+vVms#&9C5 True M False 4A!rhCj>tT#Z>8ODN<mP,tThv

PTa9/tTxPK5w,"xvKtTD9Cq=#

+2ZctT

IBM SPSS Modeler PD\`tT(CZyPZc(|(,Zc)#

m 28. +2ZctT.

tT{F }]`M tThv

use_custom_name <{5

name V{. A!-<P3vZc{FD;AtT(T/r(F)#

custom_name V{. 8(ZcD(F{F#

tooltip V{.

annotation V{.

keywords V{. CZ8(kTsX*DX|VPmDa9/[

cache_enabled <{5

node_type source_supernode

process_supernode

terminal_supernode

yP*KxPE>`Fx8(D

Zc{

4`M}CZcD;AtT#}g,z9IT8(`M

(}g userinput r filter),x;G4{F}CZc

(}g real_income)#

,ZctTT0yPd{ZcDtTy+%@V[#PX|`E",kNDZ 2193DZ 19 B, :,Zct

T;wb#
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Z 8 B wtT

(}E>`4ITXF`VwtT#

E>IT9C modeler.script #iPD stream() /}CJ10w,}g:

mystream = modeler.script.stream()

*}CwtT,zXk9CXbDwd?,Cd?(}Zw0fmS;v ^ 4m>#

nodes tTCZ}C10wPDZc#

wtTD_e5w{ZBm#

m 29. wtT.

tT{F }]`M tThv

execute_method Normal

Script

date_format "DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"
DAY
MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY
q Q YYYY
ww WK YYYY

date_baseline }V

date_2digit_baseline }V
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m 29. wtT (x).

tT{F }]`M tThv

time_format "HHMMSS"
"HHMM"
"MMSS"
"HH:MM:SS"
"HH:MM"
"MM:SS"
"(H)H:(M)M:(S)S"
"(H)H:(M)M"
"(M)M:(S)S"
"HH.MM.SS"
"HH.MM"
"MM.SS"
"(H)H.(M)M.(S)S"
"(H)H.(M)M"
"(M)M.(S)S"

time_rollover <{5

import_datetime_as_string <{5

decimal_places }V

decimal_symbol Default

Period

Comma

angles_in_radians <{5

use_max_set_size <{5

max_set_size }V

ruleset_evaluation Voting

FirstHit

refresh_source_nodes <{5 CZZw4PPT/"B4Zc#

script V{.

script_language Python Legacy *wE>hCE>oT#

annotation V{.

encoding SystemDefault

"UTF-8"

stream_rewriting <{5

stream_rewriting_maximise_sql <{5

stream_rewriting_optimise_clem_
execution

<{5

stream_rewriting_optimise_syntax_
execution

<{5

enable_parallelism <{5

sql_generation <{5

database_caching <{5

sql_logging <{5

sql_generation_logging <{5

sql_log_native <{5

sql_log_prettyprint <{5

record_count_suppress_input <{5
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m 29. wtT (x).

tT{F }]`M tThv

record_count_feedback_interval {}

use_stream_auto_create_node_
settings

<{5 g{5* true,G4+9CX(ZwD

hC,qr+9CC'W!n#

create_model_applier_for_new_
models

<{5 g{5* true,G4Z#M9(w4(

B#M"R;P&Zn/4,D|B4

S1,+mS;vBD#M&Cw#

create_model_applier_update_links createEnabled
createDisabled
doNotCreate

(eT/mS#M&CwZc14(D

4S`M#

create_source_node_from_builders <{5 g{5* true,G4Z49(w4(B

D4dv"R;P&Zn/4,D|B

4S1,+mS;vBD4Zc#

create_source_node_update_links createEnabled
createDisabled
doNotCreate

(eT/mS4Zc14(D4S`

M#
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Z 9 B 4ZctT

4Zc+2tT

yP4ZcD+2tTgBy>,sfDwbG_eZcD`XE"#

m 30. 4Zc+2tT.

tT{F }]`M tThv

direction Input

Target

Both

None

Partition

Split

Frequency

RecordID

VNG+D|XtT#

"b:5 In M Out VQ;Fv9C#

Z+4Df>PI\!{Tb)5D'V#

type 6' (Range)

Flag

Set

Typeless

Discrete

Ordered Set

Default

VN`M#g{+CtThC* Default,G4+e}yP

values tThC,g{+ value_mode hC* Specify,G

4|+XBhC* Read#g{ value_mode QhC* Pass

r Read,G4|+;\ type hCD0l#

storage Unknown

V{.

{}

5}

Time

UZ

Timestamp

VNf"`MD;A|XtT#

check None

Nullify

Coerce

Discard

Warn

Abort

VN`MM6'liD|XtT#

values [value value] TZ,xM(6')VNxT,Z;vGn!5,s;v

Gns5#TZ{e(/O)VN,k8(yP5#Tj

>VNxT,Z;v5zm false,s;v5zm true#hC

CtT+T/Q value_mode tThC* Specify#

value_mode Read

Pass

Read+

Current

Specify

7(B;N}]+]PhC3vVN5D==#

"b,;\+KtT1ShC* Specify;*9CX(5,

hhC values tT#
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m 30. 4Zc+2tT (x).

tT{F }]`M tThv

default_value_mode Read

Pass

8(C1!==hCyPVN5#

ChCIT(}9C value_mode tT,CX(VNxP

2G#

extend_values <{5 1 value_mode hC* Read 1+&C#h* T r+BA

!D5mS=NbVPVN5#hC* F r*zVP5"

mSBA!5#

value_labels V{. CZ8(5j)#k"b,XkH8(5#

enable_missing <{5 1hC* T 1,G4$nTVN1'5DzY#

missing_values [value value ...] 8(m>1'}]D}]5#

range_missing <{5 KtThC* T 1,8(Gq*VN(e1'5(UW)6

'#

missing_lower V{. range_missing * true 1,KtT8(1'56'DB^#

missing_upper V{. range_missing * true 1,KtT8(1'56'DO^#

null_missing <{5 1KtThC* T 1,+CU(Z>m~PT>* $null$

D4(e5)m>1'5#

whitespace_missing <{5 1CtThC* T 1,v|,UW(Uq"Fm{M;P

{)D5+;1I1'5#

description V{. CZ8(VNj)rhv#

default_include <{5 CZ8(1!P*G+]9G}KVND|XtT:

include <{5 CZ8vG|,9G}K%vVND|XtT:

new_name V{.

asimport ZctT
Analytic Server 49zITZ Hadoop V<=D~53 (HDFS) OKPw#

m 31. asimport ZctT.

asimport ZctT }]`M tThv

data_source string }]4D{F#

host string Analytic Server wzD{F#

KZ integer Analytic Server xPl}DKZ#

tenant string Z`b'73P,bGzytDDb'

D{F#Z%b'73P,KtTD1

!5* ibm#

set_credentials <{5 g{ Analytic Server ODC'O$k

SPSS Modeler ~qw`,,k+KtT

hC* false#qr,+dhC*

true#

user_name string CZG<= Analytic Server DC'{#

v1 set_credentials * true 1Eh

*#

password string CZG<= Analytic Server D\k#v

1 set_credentials * true 1Eh*#
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cognosimport ZctT

IBM Cognos BI 4ZcS Cognos BI }]b<k}]#

m 32. cognosimport ZctT.

cognosimport ZctT }]`M tThv

mode Data

Report

8(G<k Cognos BI }](1!)9G(f#

cognos_connection {″string″,boolean,

″string″,″string″,

″string″}

bG|, Cognos ~qw,Sj8E"DPmtT#

q=*:

{″Cognos_server_URL″, login_mode, ″namespace″,

″username″, ″password″}

dP:

Cognos_server_URL G|,4D Cognos ~qwD URL

login_mode 8>Gq9Cd{G<,d5* true r

false;g{hC* true,G4&+BPVNhC

* ""

namespace 8(CZG<~qwD2+O$a)Lr

username M password *CZG< Cognos ~qwD

C'{M\k

cognos_package_name string *SP<k}]TsD Cognos }]|D76M{F,

}g:/Public Folders/GOSALES

"b:;P}1\P'#

cognos_items {″field″,″field″, ... ,″field″} *<kD;vr`v}]TsD{F#VNq=*

[namespace].[query_subject].[query_item]

cognos_filters VN <k}]0*&CD;vr`v}KwD{F#

cognos_data_parameters Pm }]Da>N}D5#“{F/5”T(Z((EZ,"R

?vT.dT:EVt,x{vV{.(Z=(EZ#

q=:

[{″param1″, ″value″},...,{″paramN″, ″value″}]

cognos_report_directory VN *SP<k(fDD~Pr|D Cognos 76,}g:

/Public Folders/GOSALES

"b:;P}1\P'#

cognos_report_name VN *<kD(fD(f;CPD76M{F#

cognos_report_parameters Pm (fN}D5#“{F/5”T(Z((EZ,"R?vT

.dT:EVt,x{vV{.(Z=(EZ#

q=:

[{″param1″, ″value″},...,{″paramN″, ″value″}]
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database ZctT

“}]b”ZcICZ(} ODBC(*E=}]b,S)SwVd{}]|(|( Microsoft SQL

Server"DB2 M Oracle HH)P<k}]#

m 33. database ZctT.

database ZctT }]`M tThv

mode Table

Query

hzT0rX~,8(+ Table ,S=}]b

m,rhz SQL 48(C Query i/!(}]

b#

datasource V{. }]b{F(mkNDBfD"M)#

username V{. }]b,Sj8E"(mkNDBfD"M)#

password V{.

epassword V{. 8(-}`kD\k,TzfZE>P2`k\

k#

PX|`E",kNDZ 41 3D:zIS\\

k;wb#Z4PZd,KtT*;A#

tablename V{. *CJDm{F#

strip_spaces None

Left

Right

Both

*zV{.P0KM2?UqD!n#

use_quotes AsNeeded

Always

Never

8(r}]b"Mi/1,Gq+m{MP{(

Z}EZ(}g,g{b){F|,Uqrj

c)#

query V{. 8(*a;i/yT&D SQL `k#

"b:g{ datasource tTPD}]b{F|,Uq,kp9C datasource"username M password Hw

vtT,xD*9CTBq=D%v}]4tT:

m 34. database ZctT - X(Z}]4.

database ZctT }]`M tThv

datasource V{. q=:

[database_name,username,password[,true |

false]]

ns;vN}k-}S\D\kdO9C#g{

+dh* true,+aZ9C.0T\kxPb

\#

g{z*|D}]4,2I9CKq=;;},g{z;k|DC'{r\k,G4I9C username r pass-

word tT#
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datacollectionimport ZctT

< 7. ,H}]<kZ
c

IBM SPSS Data Collection }]<kZcy] IBM Corp. P!wiz79CD IBM SPSS Data

Collection }]#M<kwi}]#Xk20 IBM SPSS Data Collection }]bEI9CKZc#

m 35. datacollectionimport ZctT.

datacollectionimport ZctT }]`M tThv

metadata_name V{. MDSC D{F#Xb5 DimensionsMDD m>&9

Cj< IBM SPSS Data Collection *}]D5#

d{I\D5|(:

mrADODsc

mrI2dDsc

mrLogDsc

mrQdiDrsDsc

mrQvDsc

mrSampleReportingMDSC

mrSavDsc

mrSCDsc

mrScriptMDSC

Xb5 none 8>;fZ MDSC#

metadata_file V{. f"*}]DD~D{F#

casedata_name V{. CDSC D{F#I\D5|(:

mrADODsc

mrI2dDsc

mrLogDsc

mrPunchDSC

mrQdiDrsDsc

mrQvDsc

mrRdbDsc2

mrSavDsc

mrScDSC

mrXmlDsc

Xb5 none 8>;fZ CDSC#

casedata_source_type 4*

File

D~P

UDL

DSN

8v CDSC D4`M#

casedata_file V{. 1 casedata_source_type * File 1,G48(

|,8}}]DD~#

casedata_folder V{. 1 casedata_source_type * Foder 1,G48

(|,8}}]DD~P#

casedata_udl_string V{. 1 casedata_source_type * UDL 1,G4*|

,8}}]D}]48( OLD-DB ,SV{.#
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m 35. datacollectionimport ZctT (x).

datacollectionimport ZctT }]`M tThv

casedata_dsn_string V{. 1 casedata_source_type * DSN,G4*}]

48( ODBC ,SV{.#

casedata_project V{. S IBM SPSS Data Collection }]bPA![b

5}]1,ITdk$LD{F#TZyPd{

D[b5}]`M,&+KhCtU#

version_import_mode All

Latest

Specify

(ef>&m==#

specific_version V{. 1 version_import_mode * Specify 1,G4(

e*<k8}}]Df>#

use_language V{. (eGq&9C8(oTDj)#

language V{. g{ use_language D5* True,G4(e<k

1*9CDoTzk#oTzk&*8}}]P

D3;ICzk#

use_context V{. (eGq&<kX(DOBD#OBDCZxV

kl&`XDhv#

context V{. g{ use_context D5* true,G4(e<k7

3#73&G8}}]PD3;IC73#

use_label_type V{. (eGq&<k8(j)`M#

label_type V{. g{ use_label_type D5* true,G4(e*<

kDj)`M#j)`M&G8}}]PD3;

ICj)`M#

user_id V{. TZ*sT=G<D}]b,zITa)CZC

J}]4DC' ID M\k#

password V{.

import_system_variables #C

None

All

8(*<kD53d?#

import_codes_variables <{5

import_sourcefile_variables <{5

import_multi_response MultipleFlags

Single

excelimport ZctT

“Excel <k”ZcITSNNf>D Microsoft Excel P<k}]#;h*8( ODBC }]4#
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m 36. excelimport ZctT.

excelimport ZctT }]`M tThv

excel_file_type Excel2003

Excel2007

full_filename V{. j{D~{(|(76)#

use_named_range <{5 Gq9C8(D6'#g{* true,G4+C

named_range tT48(A!6',+vTd{$

wmM}]6'hC#

named_range V{.

worksheet_mode Index

Name

8(Gq(}w}r{F4(e$wm#

worksheet_index {} *A!$wmDw},*<1Z;v$wmDw

}* 0,Z~v$wmDw}* 1,@K`F#

worksheet_name V{. *A!$wmD{F#

data_range_mode FirstNonBlank

ExplicitRange

8(7(6'D==#

blank_rows StopReading

ReturnBlankRows

1 data_range_mode * FirstNonBlank 1,8(

UP&m==#

explicit_range_start V{. 1 data_range_mode * ExplicitRange 1,8(

*A!6'Dpc#

explicit_range_end V{.

read_field_names <{5 8(Gq&+8(6'DZ;PCwVN(P)

{F#

evimport ZctT

Enterprise View ZcCZ4(8r IBM SPSS Collaboration and Deployment Services Repository

D,S,9zIT+ Enterprise View }]AkwP,"+#Mr|0kd{C'I(}f"bC

JD=8#

m 37. evimport ZctT.

evimport ZctT }]`M tThv

connection Pm a9/tT - iI Enterprise View ,

SDN}DPm#

tablename V{. Application View PmqD{F#

fixedfile ZctT

“L(D~”ZcSL(VND>D~(4,D~PDVN;xP(g,xGS,;;C*<R$

HL()P<k}]#zwzIrEf}](#TL(VNq=xPf"#
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m 38. fixedfile ZctT.

fixedfile ZctT }]`M tThv

record_len }V 8(?uG<PDV{}#

line_oriented <{5 x}?uG<2?D;P{#

decimal_symbol Default

Comma

Period

bG}]4P9CD.xFVt{D`M#

skip_header }V 8(*Z?uG<*7vTDP}#CZvTP

jb#

auto_recognize_datetime <{5 8(Z4}]PGqT/j6UZr1d#

lines_to_scan }V

fields Pm a9/tT#

full_filename V{. *A!D~D+F(|(?<)#

strip_spaces None

Left

Right

Both

Z<k1*zV{.P0KM2?DUq#

invalid_char_mode Discard

Replace

S}]dkP}%^'V{(U5"0 r10`k

Py;PDV{),rC8(D%V{{Ef;

^'V{#

invalid_char_replacement V{.

use_custom_values <{5

custom_storage Unknown

V{.

{}

5}

Time

UZ

Timestamp
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m 38. fixedfile ZctT (x).

fixedfile ZctT }]`M tThv

custom_date_format "DDMMYY"

"MMDDYY"

"YYMMDD"

"YYYYMMDD"

"YYYYDDD"

DAY

MONTH

"DD-MM-YY"

"DD-MM-YYYY"

"MM-DD-YY"

"MM-DD-YYYY"

"DD-MON-YY"

"DD-MON-YYYY"

"YYYY-MM-DD"

"DD.MM.YY"

"DD.MM.YYYY"

"MM.DD.YY"

"MM.DD.YYYY"

"DD.MON.YY"

"DD.MON.YYYY"

"DD/MM/YY"

"DD/MM/YYYY"

"MM/DD/YY"

"MM/DD/YYYY"

"DD/MON/YY"

"DD/MON/YYYY"

MON YYYY

q Q YYYY

ww WK YYYY

;PZ8(K(Ff"DivB,KtTEJ

C#

custom_time_format "HHMMSS"

"HHMM"

"MMSS"

"HH:MM:SS"

"HH:MM"

"MM:SS"

"(H)H:(M)M:(S)S"

"(H)H:(M)M"

"(M)M:(S)S"

"HH.MM.SS"

"HH.MM"

"MM.SS"

"(H)H.(M)M.(S)S"

"(H)H.(M)M"

"(M)M.(S)S"

;PZ8(K(Ff"DivB,KtTEJ

C#

custom_decimal_symbol VN ;PZ8(K(Ff"DivBJC#

encoding StreamDefault

SystemDefault

"UTF-8"

8(D>`k=(#
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sasimport ZctT

SAS <kZcI+ SAS }]<k= IBM SPSS Modeler P#

m 39. sasimport ZctT.

sasimport ZctT }]`M tThv

format Windows

UNIX

Transport

SAS7

SAS8

SAS9

*<kD~Dq=#

full_filename V{. dkDj{D~{(|(76)#

member_name V{. 8(*SX( SAS +dD~P<kDI1#

read_formats <{5 S8(q=D~PA!}]q=(}gd?j

))#

full_format_filename V{.

import_names NamesAndLabels

LabelsasNames

8(Z<k13dd?{FMj)D=(#

simgen ZctT

“#bzI”Zca)K;VzI#b}]Dr%=( - 9CC'8(D3FV<S7*<zI}

],r_9CTVPz7}]KP“#bbO”Zcxq!DV<T/zI}]#TZ#MdkP

fZ;7(TDiv,KZcZT$b#MDa{xP@@1G#PC#

m 40. simgen ZctT.

simgen ZctT }]`M tThv

fields a9/tT

correlations a9/tT

max_cases {} n!5* 1000,ns5* 2,147,483,647

create_iteration_field <{5

iteration_field_name V{.

replicate_results <{5

random_seed {}

overwrite_when_refitting <{5

parameter_xml V{. TV{.N=5XN} XML
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m 40. simgen ZctT (x).

simgen ZctT }]`M tThv

distribution Bernoulli
Beta
Binomial
Categorical
Exponential
Fixed
Gamma
Lognormal
NegativeBinomialFailures
NegativeBinomialTrials
Normal
Poisson
Range
Triangular
Uniform
Weibull

bernoulli_prob }V 0 ≤ bernoulli_prob ≤ 1

beta_shape1 }V XksZrHZ 0

beta_shape2 }V XksZrHZ 0

beta_min }V I!#Xk!Z beta_max#

beta_max }V I!#XksZ beta_min#

binomial_n {} Xk > 0

binomial_prob }V 0 ≤ binomial_prob ≤ 1

binomial_min }V I!#Xk!Z binomial_max#

binomial_max }V I!#XksZ binomial_min#

exponential_scale }V Xk > 0

exponential_min }V I!#Xk!Z exponential_max#

exponential_max }V I!#XksZ exponential_min#

fixed_value V{.

gamma_shape }V XksZrHZ 0

gamma_scale }V XksZrHZ 0

gamma_min }V I!#Xk!Z gamma_max#

gamma_max }V I!#XksZ gamma_min#

lognormal_shape1 }V XksZrHZ 0

lognormal_shape2 }V XksZrHZ 0

lognormal_min }V I!#Xk!Z lognormal_max#

lognormal_max }V I!#XksZ lognormal_min#

negative_bin_failures_threshold }V XksZrHZ 0

negative_bin_failures_prob }V 0 ≤ negative_bin_failures_prob ≤ 1

negative_bin_failures_min }V I!#Xk!Z

negative_bin_failures_max#

negative_bin_failures_max }V I!#XksZ

negative_bin_failures_min#

negative_bin_trials_threshold }V XksZrHZ 0

negative_bin_trials_prob }V 0 ≤ negative_bin_trials_prob ≤ 1
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m 40. simgen ZctT (x).

simgen ZctT }]`M tThv

negative_bin_trials_min }V I!#Xk!Z

negative_bin_trials_max#

negative_bin_trials_max }V I!#Xk!Z

negative_bin_trials_min#

normal_mean }V

normal_sd }V Xk > 0

normal_min }V I!#Xk!Z normal_max#

normal_max }V I!#XksZ normal_min#

poisson_mean }V XksZrHZ 0

poisson_min }V I!#Xk!Z poisson_max#

poisson_max }V I!#XksZ poisson_min#

triangular_mode }V triangular_min ≤ triangular_mode ≤

triangular_max

triangular_min }V Xk!Z triangular_mode

triangular_max }V XksZ triangular_mode

uniform_min }V Xk!Z uniform_max

uniform_max }V XksZ uniform_min

weibull_rate }V XksZrHZ 0

weibull_scale }V XksZrHZ 0

weibull_location }V XksZrHZ 0

weibull_min }V I!#Xk!Z weibull_max#

weibull_max }V I!#XksZ weibull_min#

`XTITGiZ +1 k -1 .dDNN}V#zITy]h*8(`XT#NN48(D`XT<+hC*

0#g{fZNN4*VN,G4&CZ`XTXs(rm)OhC`XT5,"Tl+D>T>C5#g{

fZ4*VN,G4^(4PZc#

statisticsimport ZctT

IBM SPSS Statistics D~ZcS IBM SPSS Statistics 9CD .sav D~q=T0#fZ IBM SPSS

Modeler PD_Y:fD~(d29C`,q=)A!}]#

PXKZctTDE",kNDZ 2153D:statisticsimport ZctT;#

userinput ZctT

C'dkZca)K;VCZ4([O}]Dr%== - ITS7*<4(2IT(}|DVP}

]xP4(#KZcG#PC,}g,Z#{*(#4(bT}]/1,4I9CKZc#
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m 41. userinput ZctT.

userinput ZctT }]`M tThv

data ?vVND}]$HIT;,,+XkkVNf

";B#g{*3v";fZDVNhC5,G

4+4(KVN#mb,g{+3vVND5h

C*UV{.(" "),G4+>}8(VN#

":kTKtTdkD5XkGV{.,x;G

}V#}g,XkT "1 2 3 4" DN=dk}V

1"2"3 M 4#

names hCr5XZcyzIDVN{FPmDa9/

(@#

custom_storage Unknown

V{.

{}

5}

Time

UZ

Timestamp

ICZhCr5X3vVNf"D(@#

data_mode Combined

Ordered

g{8(K Combined,G4h(5T0n!/ns

5D?viO<+zI;vG<#zIDG<}

HZ?vVNP5D}?DK}#g{8(KP

r,G4S?uG<D?;PPa!;v54z

I}]P#zIDG<}HZ;vkVN`XD

ns}5#+*yP}]5OYDVNmSU

5#

values KtTQI data !z,;&Lx9C#

variablefile ZctT

“d?D~”ZcA!TIq=VND>D~PD}],4,dG<|,L(}?DVN,+|,

;(}?V{DD~#KZcTZ_PL($HjbD>M3)X(`M"bDD~2G#P

C#

m 42. variablefile ZctT.

variablefile ZctT }]`M tThv

skip_header }V 8(?uG<*7*vTDV{}#

num_fields_auto <{5 T/7(?uG<PDVN}#G<XkT;P

{U9#

num_fields }V V/8(?uG<PDVN}#

delimit_space <{5 8(D~PCZ.(VN_gDV{#

delimit_tab <{5

delimit_new_line <{5

delimit_non_printing <{5
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m 42. variablefile ZctT (x).

variablefile ZctT }]`M tThv

delimit_comma <{5 1:cZwP,1Cw.xFVt{MVN(g

{1,+ delimit_other hC* true,;s9C

d{tT+:c8(*(g{#

delimit_other <{5 Jm9Cd{tT48((F(g{#

other V{. Z delimit_other * true 1,8(*9CD(

g{#

decimal_symbol Default

Comma

Period

8(CZ}]4PD.xFVt{#

multi_blank <{5 +`v`ZUq(g{S*;v%;(g{&

m#

read_field_names <{5 +}]D~DZ;Pw*PDj)#

strip_spaces None

Left

Right

Both

Z<k1*zV{.P0KM2?DUq#

invalid_char_mode Discard

Replace

S}]dkP}%^'V{(U5"0 r10`

kPy;PDV{),rC8(D%V{{Ef

;^'V{#

invalid_char_replacement V{.

break_case_by_newline <{5 8(P(g{*;P{#

lines_to_scan }V 8(_e}]`MD(hP}#

auto_recognize_datetime <{5 8(Z4}]PGqT/j6UZr1d#

quotes_1 Discard

PairAndDiscard

IncludeAsText

8(<ks%}ED&m==#

quotes_2 Discard

PairAndDiscard

IncludeAsText

8(<ks+}ED&m==#

full_filename V{. *A!DD~+F(|(?<)#

use_custom_values <{5

custom_storage Unknown

V{.

{}

5}

Time

UZ

Timestamp
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m 42. variablefile ZctT (x).

variablefile ZctT }]`M tThv

custom_date_format "DDMMYY"

"MMDDYY"

"YYMMDD"

"YYYYMMDD"

"YYYYDDD"

DAY

MONTH

"DD-MM-YY"

"DD-MM-YYYY"

"MM-DD-YY"

"MM-DD-YYYY"

"DD-MON-YY"

"DD-MON-YYYY"

"YYYY-MM-DD"

"DD.MM.YY"

"DD.MM.YYYY"

"MM.DD.YY"

"MM.DD.YYYY"

"DD.MON.YY"

"DD.MON.YYYY"

"DD/MM/YY"

"DD/MM/YYYY"

"MM/DD/YY"

"MM/DD/YYYY"

"DD/MON/YY"

"DD/MON/YYYY"

MON YYYY

q Q YYYY

ww WK YYYY

;PZ8(K(Ff"DivBJC#

custom_time_format "HHMMSS"

"HHMM"

"MMSS"

"HH:MM:SS"

"HH:MM"

"MM:SS"

"(H)H:(M)M:(S)S"

"(H)H:(M)M"

"(M)M:(S)S"

"HH.MM.SS"

"HH.MM"

"MM.SS"

"(H)H.(M)M.(S)S"

"(H)H.(M)M"

"(M)M.(S)S"

;PZ8(K(Ff"DivBJC#

custom_decimal_symbol VN ;PZ8(K(Ff"DivBJC#

encoding StreamDefault

SystemDefault

"UTF-8"

8(D>`k=(#
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xmlimport ZctT

“XML 4”Zc+ XML q=D}]<k=wP#IT<k%vD~,2IT<k3v?<PDy

PD~#zIT!qTX8(#=D~,TcSPA! XML a9#

m 43. xmlimport ZctT.

xmlimport ZctT }]`M tThv

read single

directory

A!%v}]D~(1!),r?<PDyP

XML D~#

recurse <{5 8(GqmbA!8(?<DyPS?<PD

XML D~#

full_filename V{. (Xh)*<kD XML D~Dj{76MD~

{(g{ read = single)#

directory_name V{. (Xh)*SP<k XML D~D?<Dj{7

6M{F(g{ read = directory)#

full_schema_filename V{. *SPA! XML a9D XSD r DTD D~D

j{76MD~{#g{z!TKKN},+S

XML 4D~PA!a9#

records V{. XPath mo=(}g,/author/name),CT(eG

<_g#?NZ4D~Pv=K*X1,<+4

(BDG<#

mode read

specify

A!yP}](1!),r8(*A!Dn?#

fields *<kDn?(*XMtT)Pm#PmPD?

n* XPath mo=#
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Z 10 B G<YwZctT

append ZctT

“7S”ZcCZ,S`iG<#mb,2ITCZ+a9`F+Z];,D}]/iO=;p#

m 44. append ZctT.

append ZctT }]`M tThv

match_by Position

Name

ITy]VNZw}]4PD;Crdk}]/P

VND{F4=S}]/#

match_case <{5 %dVN{F1tCxVs!4#

include_fields_from Main

All

create_tag_field <{5

tag_field_name V{.

aggregate ZctT

“c\”Zc+;5PdkG<f;*-}**Mc\DdvG<#

m 45. aggregate ZctT.

aggregate ZctT }]`M tThv

keys [field field ... field] PvICwc\|DVN#}g,g{ Sex M

Region G|VN,M M F kxr N M S D?v(

;TiO(Dv(;TiO)<+_P;v-}c

\DG<#

contiguous <{5 g{z*@dkPyP_P`,|5DG<<Vi

=;p(}g,g{4|VNTdkxPKE

r),k!qK!n#byvPzZa_T\#

aggregates ;Va9/tT,|Pvd5+;c\D}VVN

T0!(Dc\#=#

extension V{. TX4Dc\VN8(0:rs:(y>gB)#

add_as Suffix

Prefix

inc_record_count <{5 4(;vnbVN,CVN8(*NI?uc\G

<c\K`YudkG<#

count_field V{. 8(G<F}VND{F#
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balance ZctT

“yb”ZcCZ@}}]/PD;=b,T9dq-8(Du~#“yb”18ny]8(5}w

{u~I"DG<y<DH}#

m 46. balance ZctT.

balance ZctT }]`M tThv

directives y]8(}V=bVN5H}Da9/tT(ND

BfD>})#

training_data_only <{5 8(;&CT57}]xP=b#g{wP;fZ

VxVN,G4+vTK!n#

directives ZctT9CTBq=:

[{ number string } \ { number string} \ ... { number string }]#

":g{Zmo=P6kV{.((Z+}EZ),G4XkZV{.0mS*eV{“ \ ”#“ \ ”V{,1

2GPLx{,byN}MITT>Z,;P,4p4e~wK#

derive_stb ZctT

“Ud1d^F”Zcy]3H"-HM1dAGVNIzKUd1d^F#z9IT+51DU

d1d^Fj6*:t#

m 47. derive_stb ZctT.

derive_stb ZctT }]`M tThv

mode IndividualRecords
Hangouts

latitude_field VN

longitude_field VN

timestamp_field VN

hangout_density \H %;\H#kND densities TKbP'D\H

5#
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m 47. derive_stb ZctT (x).

derive_stb ZctT }]`M tThv

densities [density,density,..., density] ?v\H<G;vV{.,}g STB_GH8_1DAY#

":TZD)\HP',fZ^F#TZ

geohash,IT9C GH1 = GH15 PD5#TZ

temporal ?V,IT9CBP5:

EVER
1YEAR
1MONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
1MIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC

id_field VN

qualifying_duration 1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1MIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS

XkGV{.#

min_events integer n!P'{}5* 2#

qualifying_pct integer XkiZ 1 k 100 .d#

add_extension_as Prefix
Suffix

name_extension string
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distinct ZctT

“xV”Zc(}+Z;vxVG<+]=}]w,r_(}*zZ;vG<"+NNX4G<+

]=}]w,}%X4DG<#

m 48. distinct ZctT.

distinct ZctT }]`M tThv

mode Include

Discard

HIT+Z;uxVG<|(Z}]wP,2IT

*zZ;uxVG<"+NNX4G<+M=}]

w#

grouping_fields [field field field] PvCZ7(G<Gq`,DVN#

":S IBM SPSS Modeler 16 p,;Fv9CKt

T#

composite_value a9/[

composite_values a9/[

inc_record_count <{5 4(;vnbVN,CVN8(*NI?uc\G

<c\K`YudkG<#

count_field V{. 8(G<F}VND{F#

sort_keys a9/[# ":S IBM SPSS Modeler 16 p,;Fv9CKt

T#

default_ascending <{5

low_distinct_key_count <{5 8(;fZY?G<T0/r_|VNDY?(;

5#

keys_pre_sorted <{5 8(_P`,|5DyPG<ZdkPViZ;

p#

disable_sql_generation <{5

merge ZctT

“O"”Zc9C`vdkG<,"4(|,3)r+?dkVND%vdvG<#bTZO"4

4;,D}] G#PC,}gZ?M'}]MQ:rK:3F}]#

m 49. merge ZctT.

merge ZctT }]`M tThv

method Order

Keys

Condition

8(G<Gq4|GZ}]D~PDP>3rxP

O",Gq9C;vr`v|VN4O"Z|VN

P|,`,5DG<,r_GqZzc8(u~1

O"G<#

condition V{. g{ method hC* Condition,8(|(r*zG

<Du~#

key_fields [field field field]

common_keys <{5
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m 49. merge ZctT (x).

merge ZctT }]`M tThv

join Inner

FullOuter

PartialOuter

Anti

outer_join_tag.n <{5 ZKtTP,n G“!q}]/”T0rPT>DjG

{#"b,IT8(`vjG{,r*NN}?D

}]/<^(a)j{G<#

single_large_input <{5 8(GqxPE/,T9;vdkkd{dk`H

_P;v`TOsDdk5#

single_large_input_tag V{. 4“!qOs}]/”T0rPDT>8(jG{#

k"b,KtTDC(k outer_join_tag tTDC

(TP;,(<{5kV{.),r*0_;\8

(;vdk}]/#

use_existing_sort_keys <{5 8(dk5GqQy];vr`v|VNxPE

r#

existing_sort_keys [{string Ascending} \ {string

Descending}]

8(QErDVN0dEr=r#

rfmaggregate ZctT

9C“|r"5JMuR (RFM) c\”Zc,zITICM'D z7G<Bq&m}],>}yP

^C}]T0+yP{G#tDBq&m}]iOI;P,RCPPPvK{GkzON85q

D1d"yjID;W?T0b);WD\uR[5#

m 50. rfmaggregate ZctT.

rfmaggregate ZctT }]`M tThv

relative_to Fixed

Today

8(Fc;W|rDUZ#

reference_date UZ vZ relative_to P!q Fixed 1EIC#

contiguous <{5 g{zD}]xPK$HEr,TcyP ID `,D

G<;pvVZ}]wP,G4!qK!nITS

l&mYH#

id_field VN 8(CVNTC46pM'0d;W#

date_field VN 8(+*C4Fc|rDUZVN#

value_field VN 8(CVNTC4FcuR5#

extension V{. *X4c\VN8(0:rs:#

add_as Suffix

Prefix

8(Gq&w*0:rs:4mS extension#

discard_low_value_records <{5 tC9C discard_records_below hC#

discard_records_below }V IZFc RFM \F1,8(;vn!5,2MZC

5D;Wj8E"<;Y;9C#5%;ky!

value VN`X#
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m 50. rfmaggregate ZctT (x).

rfmaggregate ZctT }]`M tThv

only_recent_transactions <{5 tC9C specify_transaction_date r

transaction_within_last hC#

specify_transaction_date <{5

transaction_date_after UZ ;P!P specify_transaction_date 1EIC#8

(;WUZTZVv1|,d.sDG<#

transaction_within_last }V ;P!P transaction_within_last 1EIC#8

(SFc`TZTBZ]D|rUZVNy5XD

\Z}M\Z`M(l"\"Brj),ZKUZ

.sDG<+;|,ZzDVvP#

transaction_scale Days

Weeks

Months

Years

;P!P transaction_within_last 1EIC#8

(SFc`TZTBZ]D|rUZVNy5XD

\Z}M\Z`M(l"\"Brj),ZKUZ

.sDG<+;|,ZzDVvP#

save_r2 <{5 T>?vM'Z~vn|;WDUZ#

save_r3 <{5 ;P!P save_r2 1EIC#T>?vM'Z}v

n|;WDUZ#

Rprocess ZctT

(}9CzT:D(F R E>,IT9C“R xL”ZcS

IBM(r) SPSS(r) Modeler wPq!}]"xP^D#^D}]

s,a+}]5X=wP#

m 51. Rprocess ZctT.

Rprocess ZctT }]`M tThv

syntax V{.

convert_flags StringsAndDoubles
LogicalValues

convert_datetime <{5

convert_datetime_class POSIXct
POSIXlt

convert_missing <{5

sample ZctT

“y>”ZcCZ!q;?VG<#'VwVy>`M,|(Vc"[`MGfz(a9/)y

>#IyTZa_T\T0!q`XG<irBqixPVv.VPC#
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m 52. sample ZctT.

sample ZctT }]`M tThv

method Simple

Complex

mode Include

Discard

|(r*zzc8(u~DG<#

sample_type First

OneInN

RandomPct

8(iy=(#

first_n {} +|(r*z1=8(X9cDG<#

one_in_n }V ?t n-1 uG<|(r*z;uG<#

rand_pct }V 8(*|(r*zG<DYVH#

use_max_size <{5 tC9C maximumiscard_records_below hC#

maximum_size {} 8(*|(Z}]wPr*zDnsy>?#K!

nG_`!n,rK8( First M Include 1a;

{C#

set_random_seed <{5 tCfzVShC#

random_seed {} 8(CwfzVSD5#

complex_sample_type Random

Systematic

sample_units Proportions

Counts

sample_size_proportions Fixed

Custom

Variable

sample_size_counts Fixed

Custom

Variable

fixed_proportions }V

fixed_counts {}

variable_proportions VN

variable_counts VN

use_min_stratum_size <{5

minimum_stratum_size {} v1i!4Sy> Sample units=Proportions 1E

&CK!n#

use_max_stratum_size <{5

maximum_stratum_size {} v1i!4Sy> Sample units=Proportions 1E

&CK!n#

clusters VN

stratify_by [field1 ... fieldN]

specify_input_weight <{5

input_weight VN

new_output_weight V{.
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m 52. sample ZctT (x).

sample ZctT }]`M tThv

sizes_proportions [{string string value}{string

string value}...]

g{ s a m p l e _ u n i t s = p r o p o r t i o n s R

sample_size_proportions=Custom,8(cVN5

?vI\iOD5#

default_proportion }V

sizes_counts [{string string value}{string

string value}...]

8(cVN5?vI\DiO5#C(k

sizes_proportions DC(`F,+8(DG{},

xGH}#

default_count }V

select ZctT

“!q”Zcy]X(u~S}]wP!qrOz;?VG<#}g,IT!qkX(z[xr`

XDG<#

m 53. select ZctT.

select ZctT }]`M tThv

mode Include

Discard

8(G|(9G*z!(G<#

condition V{. |(r*zG<Du~#

sort ZctT

“Er”Zcy];vr`vVND54}rr5rTG<xPEr#

m 54. sort ZctT.

sort ZctT }]`M tThv

keys [{string Ascending} \ {string

Descending}]

8(*w*Er@]DVN#g{48(=r,G

4a9C1!5#

default_ascending <{5 8(1!Er3r#

use_existing_keys <{5 8(Gq9CT0QErVNDEr3r4E/V

ZDEr#

existing_keys 8(QErDVN0dEr=r#9CDq=k

keys tT`,#
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streamingts ZctT

“w= TS”ZcZ3v=hP9(1drP#M"TdxP@@,x;h*“1dxd”Zc#

m 55. streamingts ZctT.

streamingts ZctT }]`M tThv

custom_fields <{5 g{ custom_fields=false,G4+9CON“`M

”ZcD10hC#g{ custom_fields=true,G4

Xk8( targets M inputs#

targets [field1...fieldN]

inputs [field1...fieldN]

method ExpertModeler
Exsmooth
Arima

calculate_conf <{5

conf_limit_pct real

use_time_intervals_node <{5 g{ use_time_intervals_node=true,G4+9C

ON“1dxd”ZcDhC#qr,Xk8(

interval_offset_position"interval_offset M

interval_type#

interval_offset_position LastObservation
LastRecord

LastObservation G8ns;vP'[b5#

LastRecord G8Sns;vG<F}#

interval_offset number

interval_type Periods
Years
Quarters
Months
WeeksNonPeriodic
DaysNonPeriodic
HoursNonPeriodic
MinutesNonPeriodic
SecondsNonPeriodic

events VN

expert_modeler_method AllModels
Exsmooth
Arima

consider_seasonal <{5

detect_outliers <{5

expert_outlier_additive <{5

expert_outlier_level_shift <{5

expert_outlier_innovational <{5

expert_outlier_transient <{5

expert_outlier_seasonal_additive <{5

expert_outlier_local_trend <{5

expert_outlier_additive_patch <{5
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m 55. streamingts ZctT (x).

streamingts ZctT }]`M tThv

exsmooth_model_type SimpleHoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative

exsmooth_transformation_type None
SquareRoot
NaturalLog

arima_p integer TZ“1drP”(#ZcG,;tT

arima_d integer TZ“1drP”(#ZcG,;tT

arima_q integer TZ“1drP”(#ZcG,;tT

arima_sp integer TZ“1drP”(#ZcG,;tT

arima_sd integer TZ“1drP”(#ZcG,;tT

arima_sq integer TZ“1drP”(#ZcG,;tT

arima_transformation_type None
SquareRoot
NaturalLog

TZ“1drP”(#ZcG,;tT

arima_include_constant <{5 TZ“1drP”(#ZcG,;tT

tf_arima_p.fieldname integer TZ“1drP”(#ZcG,;tT#CZ*;/

}#

tf_arima_d.fieldname integer TZ“1drP”(#ZcG,;tT#CZ*;/

}#

tf_arima_q.fieldname integer TZ“1drP”(#ZcG,;tT#CZ*;/

}#

tf_arima_sp.fieldname integer TZ“1drP”(#ZcG,;tT#CZ*;/

}#

tf_arima_sd.fieldname integer TZ“1drP”(#ZcG,;tT#CZ*;/

}#

tf_arima_sq.fieldname integer TZ“1drP”(#ZcG,;tT#CZ*;/

}#

tf_arima_delay.fieldname integer TZ“1drP”(#ZcG,;tT#CZ*;/

}#

tf_arima_transformation_type.
fieldname

None
SquareRoot
NaturalLog

arima_detect_outlier_mode None
Automatic

arima_outlier_additive <{5

arima_outlier_level_shift <{5

arima_outlier_innovational <{5

arima_outlier_transient <{5

arima_outlier_seasonal_additive <{5

arima_outlier_local_trend <{5

arima_outlier_additive_patch <{5

deployment_force_rebuild <{5
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m 55. streamingts ZctT (x).

streamingts ZctT }]`M tThv

deployment_rebuild_mode Count
Percent

deployment_rebuild_count number

deployment_rebuild_pct number

deployment_rebuild_field <VN>
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Z 11 B VNYwZctT

anonymize ZctT

“d{/”ZcCZ*;VN{MVN5ZBNDm>==,SxZN-<}]#g{*Jmd{

C'9(,PtP}](}gM'{Frd{j8E")D#M,G4bVZc.VPC#

m 56. anonymize ZctT.

anonymize ZctT }]`M tThv

enable_anonymize <{5 hC* T 1,I$nd{/VN5(`1ZZ“d{5”PP*CV

N!qG)#

use_prefix <{5 hC* T 1,g{Q8((F0:,G4+9CC0:#JCZ+

(}SU(;d{/DVN,xR`1ZZ“f;5”T0rP*

CVN!q(F%!4%#

prefix V{. `1ZZ“f;5”T0rDD>rPdk0:#g{48(d{

NN5,G41!0:4GC1!5#

transformation Random

Fixed

7((}*;(d{/DVND*;N}GfzD9GL(D#

set_random_seed <{5 hC* T 1,+9C8(DVS5(g{*;2hC* Ran-

dom)#

random_seed {} 1 set_random_seed hC* T 1,C5Gfz}DVS#

scale }V 1*;hC*“L(”1,C5CZ“*;_H”#(#,ns_H5

* 10,+I\a;u!T\bgv#

translate }V 1*;hC*“L(”1,C5CZ“*;”#(#,ns*;5*

1000,+I\a;u!T\bgv#

autodataprep ZctT

“T/}]<8 (ADP)”ZcIVvzD}]"j6^},8!vfZJbrI\^CDVN,"Z

J1DivBIzBDtT,(}G\8!Miy<uDxT\#zITICj+T//==9

CKZc,SxJmKZc!q"&C^),mb2ITZ&C^)0$@|D"y]h*S

\"\xrxP^D#

m 57. autodataprep ZctT.

autodataprep ZctT }]`M tThv

objective Balanced

Speed

Accuracy

Custom
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m 57. autodataprep ZctT (x).

autodataprep ZctT }]`M tThv

custom_fields <{5 g{* true,G4Jmz*10Zc8(?jV

N"dkVNMd{VN#g{* false,G4+

9CON“`M”ZcD10hC#

target VN 8(%v?jVN#

inputs [field1 ... fieldN] #My9CDdkVNr$bd?VN#

use_frequency <{5

frequency_field VN

use_weight <{5

weight_field VN

excluded_fields Filter

None

if_fields_do_not_match StopExecution

ClearAnalysis

prepare_dates_and_times <{5 XFTyPUZk1dVNDCJ

compute_time_until_date <{5

reference_date Today

Fixed

fixed_date UZ

units_for_date_durations Automatic

Fixed

fixed_date_units Years

Months

Days

compute_time_until_time <{5

reference_time CurrentTime

Fixed

fixed_time time

units_for_time_durations Automatic

Fixed

fixed_date_units Hours

Minutes

Seconds

extract_year_from_date <{5

extract_month_from_date <{5

extract_day_from_date <{5

extract_hour_from_time <{5

extract_minute_from_time <{5

extract_second_from_time <{5

exclude_low_quality_inputs <{5

exclude_too_many_missing <{5

maximum_percentage_missing }V

exclude_too_many_categories <{5
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m 57. autodataprep ZctT (x).

autodataprep ZctT }]`M tThv

maximum_number_categories }V

exclude_if_large_category <{5

maximum_percentage_category }V

prepare_inputs_and_target <{5

adjust_type_inputs <{5

adjust_type_target <{5

reorder_nominal_inputs <{5

reorder_nominal_target <{5

replace_outliers_inputs <{5

replace_outliers_target <{5

replace_missing_continuous_inputs <{5

replace_missing_continuous_target <{5

replace_missing_nominal_inputs <{5

replace_missing_nominal_target <{5

replace_missing_ordinal_inputs <{5

replace_missing_ordinal_target <{5

maximum_values_for_ordinal }V

minimum_values_for_continuous }V

outlier_cutoff_value }V

outlier_method Replace

Delete

rescale_continuous_inputs <{5

rescaling_method MinMax

ZScore

min_max_minimum }V

min_max_maximum }V

z_score_final_mean }V

z_score_final_sd }V

rescale_continuous_target <{5

target_final_mean }V

target_final_sd }V

transform_select_input_fields <{5

maximize_association_with_target <{5

p_value_for_merging }V

merge_ordinal_features <{5

merge_nominal_features <{5

minimum_cases_in_category }V

bin_continuous_fields <{5

p_value_for_binning }V

perform_feature_selection <{5
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m 57. autodataprep ZctT (x).

autodataprep ZctT }]`M tThv

p_value_for_selection }V

perform_feature_construction <{5

transformed_target_name_extension V{.

transformed_inputs_name_extension V{.

constructed_features_root_name V{.

years_duration_ name_extension V{.

months_duration_ name_extension V{.

days_duration_ name_extension V{.

hours_duration_ name_extension V{.

minutes_duration_ name_extension V{.

seconds_duration_ name_extension V{.

year_cyclical_name_extension V{.

month_cyclical_name_extension V{.

day_cyclical_name_extension V{.

hour_cyclical_name_extension V{.

minute_cyclical_name_extension V{.

second_cyclical_name_extension V{.

binning ZctT

“Vd”Zcy];vr`vVP,x(}V6')VND5T/4(BD{e(/O)VN#}

g,zIT+,xUkVN*;*;v|,wiUk(w*ky5.dD+n)DBV`VN#

*BVN4(Vds,4Iy]VnczI“Iz”Zc#

m 58. binning ZctT.

binning ZctT }]`M tThv

fields [field1 field2 ... fieldn] }*;D,x(}V6')VN#IT,1T`

vVNxPVd#

method FixedWidth

EqualCount

Rank

SDev

Optimal

CZ*BVNVd(`p)7(VncD=(#

rcalculate_bins Always

IfNecessary

8(G?N4PZc1<XBFcVd"+}]

Ek`XVd,9Gv+}]mS=VPVdM

NNQmSDBVd#

fixed_width_name_extension V{. 1!)9{* _BIN#

fixed_width_add_as Suffix

Prefix

8(G+)9{mS=VN{)2(s:)9G

*7(0:)#1!)9{* income_BIN#

fixed_bin_method Width

Count
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m 58. binning ZctT (x).

binning ZctT }]`M tThv

fixed_bin_count {} 8(CZ7(BVNDL(mHVd(`p)}

D{}#

fixed_bin_width 5} bGCZFcVdmHD5({}r5})#

equal_count_name_

extension

V{. 1!)9{* _TILE#

equal_count_add_as Suffix

Prefix

8(kT9Cj< p-tile (zIDVN{9CD

)9{(s:r0:)#1!)9{* _TILE S

O N,dP N GV;}#

tile4 <{5 zIDV;}Vd,?vVdP|, 25% D[b

5#

tile5 <{5 zIeV;}Vd#

tile10 <{5 zI.V;}Vd#

tile20 <{5 zI~.V;}Vd#

tile100 <{5 zIYV;}Vd#

use_custom_tile <{5

custom_tile_name_extension V{. 1!)9{* _TILEN#

custom_tile_add_as Suffix

Prefix

custom_tile {}

equal_count_method RecordCount

ValueSum

RecordCount =(G*?vVdVd`,}?D

G<,x ValueSum =(G9VdG<s?vV

dP5D\M`H#

tied_values_method Next

Current

Random

8(*dkDVda5}]#

rank_order Ascending

Descending

KtT|( Ascending(nM5jG* 1)r

Descending(n_5jG* 1)#

rank_add_as Suffix

Prefix

K!nJCZEr"V}ErMYVHEr#

rank <{5

rank_name_extension V{. 1!)9{* _RANK#

rank_fractional <{5 Tv8xPEH,dPBVND5HZEH5}

TG1'v8D(X.M#V}Er5iZ 0-1

.d#

rank_fractional_name_

extension

V{. 1!)9{* _F_RANK#

rank_pct <{5 ?vEH5}T_PP'5DG<},YKT

100#YVHV}H&Z 1-100 6'Z#

rank_pct_name_extension V{. 1!)9{* _P_RANK#

sdev_name_extension V{.

sdev_add_as Suffix

Prefix

Z 11 B VNYwZctT 87



m 58. binning ZctT (x).

binning ZctT }]`M tThv

sdev_count One

Two

Three

optimal_name_extension V{. 1!)9{* _OPTIMAL#

optimal_add_as Suffix

Prefix

optimal_supervisor_field VN w*`=VN!qDVN,*Vd!qDVNk

.`X#

optimal_merge_bins <{5 8(+yP_PO![b5F}DVdmS=|

sD`ZVd#

optimal_small_bin_threshold {}

optimal_pre_bin <{5 m>*xP}]/D$Vd#

optimal_max_bins {} 8(O^T\b4(}sVd}#

optimal_lower_end_point Inclusive

Exclusive

optimal_first_bin Unbounded

Bounded

optimal_last_bin Unbounded

Bounded

derive ZctT

“Iz”Zc^D}]5r_y];vr`vVPVN4(BVN#|IT4(`M*+="j

>"{e"4,"F}Mu~DVN#

m 59. derive ZctT.

derive ZctT }]`M tThv

new_name V{. BVND{F#

mode Single

Multiple

8(%vr`vVN#

fields [field field field] vCZZ“`X”==B!q`vVN#

name_extension V{. 8(BVN{D)9{#

add_as Suffix

Prefix

+)9{mS*VN{D0:(*7)rs:

()2)#

result_type Formula

Flag

Set

State

Count

Conditional

I4(DyV`MDBVN#
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m 59. derive ZctT (x).

derive ZctT }]`M tThv

formula_expr V{. bGCZZ“Iz”ZcPFcBVN5Dmo

=#

flag_expr V{.

flag_true V{.

flag_false V{.

set_default V{.

set_value_cond V{. bG;va9/tT,CZa)kx(5`X*

Du~#

state_on_val V{. 8(zc On u~1BVND5#

state_off_val V{. 8(zc Off u~1BVND5#

state_on_expression V{.

state_off_expression V{.

state_initial On

Off

*BVND?vG<Vdu<5 On r Off#I

Zzc?vu~1|DK5#

count_initial_val V{.

count_inc_condition V{.

count_inc_expression V{.

count_reset_condition V{.

cond_if_cond V{.

cond_then_expr V{.

cond_else_expr V{.

ensemble ZctT

“{e”ZcT=vr=vTO#MixPiO,byyqCD$bH(}Nb;v#MqCD$

b|*<7#

m 60. ensemble ZctT.

ensemble ZctT }]`M tThv

ensemble_target_field VN *Z{eP9CDyP#M8(?jV

N#

filter_individual_model_output <{5 8(Gq&VFwv#MD@Va{#

flag_ensemble_method Voting

ConfidenceWeightedVoting

RawPropensityWeightedVoting

AdjustedPropensityWeightedVoting

HighestConfidence

AverageRawPropensity

AverageAdjustedPropensity

8(CZ7({eCVD=(#v1!

(D?jGj>VN1,Ea&CKh

C#
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m 60. ensemble ZctT (x).

ensemble ZctT }]`M tThv

set_ensemble_method Voting

ConfidenceWeightedVoting

HighestConfidence

8(CZ7({eCVD=(#v1!

(D?jG{eVN1,Ea&CKh

C#

flag_voting_tie_selection Random

HighestConfidence

RawPropensity

AdjustedPropensity

g{Q!(61=(,G48(bva

D=(#v1!(D?jGj>VN

1,Ea&CKhC#

set_voting_tie_selection Random

HighestConfidence

g{Q!(61=(,G48(bva

D=(#v1!(D?jG{eVN

1,Ea&CKhC#

calculate_standard_error <{5 g{?jVNG,xD,G41!iv

B+KPj<snFc,TFcb?5

r@c5kf55.dDn,"T>b

)@c5D%dLH#

filler ZctT

“ndw”ZcCZf;VN5"|Df"#zIT!qyZ CLEM u~(}g @BLANK

(@FIELD))Df;5#mb,2IT!q+yPUW5r Null 5f;*X(5#“ndw”Zc-

#k“`M”ZcdO9C,Tf;1'5#

m 61. filler ZctT.

filler ZctT }]`M tThv

fields [field field field] }]/Pd5+;li"f;DVN#

replace_mode Always

Conditional

Blank

Null

BlankAndNull

ITf;yP5"UW5rU5,2ITy]8

(u~xPf;#

condition V{.

replace_with V{.

filter ZctT

“}K”ZcCZ}K(Oz)VN"TVNxPX|{T0+VNS;v4Zc3d=m;vZ

c#

9C default_include tT#k"b,hC default_include tTD5;aT/|(rE}yPVN,x;

G7(kT10y!VND1!P*#Z&\O,KtT`1Z%w“}KZc”T0rPD1!ivB|(V

N4%#
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m 62. filter ZctT.

filter ZctT }]`M tThv

default_include <{5 bGCZ8(1!P*G+]9G}KVND|

XtT#k"b,hCKtT;aT/|(rE

}yPVN,x;G7(1!ivBG|(9G

E}!(VN#

include <{5 bGCZ|(M}%VND|XtT#

new_name V{.

history ZctT

“z7G<”Zc4(BVN,b)VN|,H0G<PDVND}]#“z7G<”Zcn#CZ

3r}],}g1drP}]#Z9C“z7G<”Zc0,IT9C“Er”ZcT}]xPE

r#

m 63. history ZctT.

history ZctT }]`M tThv

fields [field field field] h*dz7G<DVN#

offset }V 8(*SPa!z7G<VN5DnBG<

(10G<.0DG<)#

span }V 8(*SPa!5DT0G<D}?#

unavailable Discard

Leave

Fill

&m;,z7G<5DG<1,(#N<;P

T0DG<w*z7G<D08vG<(;Z

}]/%?)#

fill_with V{.

}V

8(*CZ^z7G<5ICDG<D5rV

{.#

partition ZctT

VxZcIzIVxVN,CVNI+}]Vn*%@DS/TcZ#M9(D57"bTMi

$WN9C#

m 64. partition ZctT.

partition ZctT }]`M tThv

new_name V{. IZczIDVxVND{F#

create_validation <{5 8(Gq&4(i$Vx#

training_size {} *Vdx57VxDG<y<DYVH (0-100)#

testing_size {} *VdxbTVxDG<y<DYVH (0-100)#

validation_size {} *Vdxi$VxDG<y<DYVH (0-100)#g

{44(i$Vx,G4vTKtT#

training_label V{. 57VxDj)#
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m 64. partition ZctT (x).

partition ZctT }]`M tThv

testing_label V{. bTVxDj)#

validation_label V{. i$VxDj)#g{44(i$Vx,G4vT

KtT#

value_mode System

SystemAndLabel

Label

8(CZm>}]P?vVxD5#}g,57y

>ITm>*53{} 1"j) Training r~_D

iO 1_Training#

set_random_seed <{5 8(Gq&9CC'8(DfzVS#

random_seed {} C'8(DfzVS5#g{*9CK5,

set_random_seed XkhC* True#

enable_sql_generation <{5 8(Gq9C SQL XMTVdG<=Vx#

unique_field 8(dkVN,CT7#Tfz+IX4D==+

G<Vd=Vx#g{*9CK5,

enable_sql_generation XkhC* True#

reclassify ZctT

“XBV`”Zc+;iV`5*;*m;i5#TZ[~`pr_xP}]XBViT4PVv

xT,XBV`G#PC#

m 65. reclassify ZctT.

reclassify ZctT }]`M tThv

mode Single

Multiple

Single T;vVND`pxPXBV`#Mul-

tiple +$nCZ,1T`vVNxP*;D!

n#

replace_field <{5

field V{. vZ Single #=B9C#

new_name V{. vZ Single #=B9C#

fields [field1 field2 ... fieldn] vZ“`X”==B9C#

name_extension V{. vZ“`X”==B9C#

add_as Suffix

Prefix

vZ“`X”==B9C#

reclassify V{. VN5Da9/tT#

use_default <{5 9C1!5#

default V{. 8(1!5#

pick_list [string string ... string] JmC'<kQ*B5DPmTndmPDB

-Pm#
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reorder ZctT

“VNXBErw”Zc(eCZT>BNVNDT;3r#K3r+0lVNZwV;C(}g

m"PmMVN!qw)DT>==#&mm}]/1,KYwPzZ9yhVN|*1[#

m 66. reorder ZctT.

reorder ZctT }]`M tThv

mode Custom

Auto

ITT/T5xPEr,2IT8((F3r#

sort_by Name

Type

Storage

ascending <{5

start_fields [field1 field2 ... fieldn] BVNek=b)VN.s#

end_fields [field1 field2 ... fieldn] BVNek=b)VN.0#

restructure ZctT

“X9”Zc+{eVNrj>VN*;*;iVN,biVNIT9Cm;VND5xPnd#

}g,x(;v{* '6`MDVN,d5* {="VpM h=,G4+4(}vBVN({

="Vp"h=),?vVNI\|,5J'6D5#

m 67. restructure ZctT.

restructure ZctT }]`M tThv

fields_from [category category cat-

egory]

all

include_field_name <{5 8>GqZXBa9/DVN{P9CVN{#

value_mode OtherFields

Flags

m>CZ*XBa9/VN8(5D#=#g{

!q OtherFields,Xk8(*9CD)VN

(NDBD)#g{!q Flags,G45*}5

j>#

value_fields [field field field] g{ value_mode G OtherFields,G4KtT

GXhD#8(9CD)VNw*5VN#

rfmanalysis ZctT

(}|r"5JMuR (RFM) VvZc,zITliM'n|;N:rzz7r~qD1d(|

r)"M':rD5J (5J)T0M''6DyP;Wpn(uR),7(I\I*nQM'D

}?#
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m 68. rfmanalysis ZctT.

rfmanalysis ZctT }]`M tThv

recency VN 8(|rVN#|PI\GUZ"1dAGrr%

D}5#

frequency VN 8(5JVN#

monetary VN 8(uRVN#

recency_bins {} 8(*zID|rVd}?#

recency_weight }V 8(&CZ|r}]D(X#1!5* 100#

frequency_bins {} 8(*zID5JVd}?#

frequency_weight }V 8(&CZ5J}]D(X#1!5* 10#

monetary_bins {} 8(*zIDuRVd}?#

monetary_weight }V 8(&CZuR}]D(X#1!5* 1#

tied_values_method Next

Current

8(*dkDVda5}]#

recalculate_bins Always

IfNecessary

add_outliers <{5 ;P1 recalculate_bins h* IfNecessary 1E

IC#g{QhC,G4+;ZB^VdTBDG

<mS=B^VdP,"R+n_VdTODG<

mS=n_VdP#

binned_field Recency

Frequency

Monetary

recency_thresholds value value ;P1 recalculate_bins h* Always 1EIC#

8(|rVdDB^P5MO^P5#;vVdD

O^P5CwB;vVdDB^P5 }g,[10 30

60] I(e=vVd,Z;vVdDO^P5MB^

P5Vp* 10 M 30,Z~vVdD=vP5Vp

* 30 M 60#

frequency_thresholds value value ;P1 recalculate_bins h* Always 1EIC#

monetary_thresholds value value ;P1 recalculate_bins h* Always 1EIC#

settoflag ZctT

“h*j>”Zcy]kT;vr`v{eVN(eDV`5Iz`vj>VN#

m 69. settoflag ZctT.

settoflag ZctT }]`M tThv

fields_from [category category cat-

egory]

all
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m 69. settoflag ZctT (x).

settoflag ZctT }]`M tThv

true_value V{. 8(hCj>1Zcy9CDf5#1!5*

T#

false_value V{. 8(hCj>1Zcy9CDY5#1!5*

F#

use_extension <{5 9C)9{w*Bj>VNDs:r0:#

extension V{.

add_as Suffix

Prefix

8(ymSD)9{Gs:9G0:#

aggregate <{5 y]|VN+G<Vi#g{PNNG<;hC

* true ,G4atCiPDyPj>VN#

keys [field field field] |VN#

statisticstransform ZctT

“Statistics *;”ZckT IBM SPSS Modeler PD}]4KP!qD IBM SPSS Statistics o(

|n#KZch* IBM SPSS Statistics DmI1>#

PXKZctTDE",kNDZ 2153D:statisticstransform ZctT;#

timeintervals ZctT

“1dxd”Zc8(xd,4(CZT1drP}] xP(#Dj)(g{h*)#g{wv5D

dt;yH,G4KZcITy]h*nd5r_+5c\,T9G<.dDxdyH#

m 70. timeintervals ZctT.

timeintervals ZctT }]`M tThv

interval_type None

Periods

CyclicPeriods

Years

Quarters

Months

DaysPerWeek

DaysNonPeriodic

HoursPerDay

HoursNonPeriodic

MinutesPerDay

MinutesNonPeriodic

SecondsPerDay

SecondsNonPeriodic
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m 70. timeintervals ZctT (x).

timeintervals ZctT }]`M tThv

mode Label

Create

8(G*,xjGG<9G*y]8(UZ"

1dAGr1dVN9(rP#

field VN 1y]}]9(rP1,8(m>?vG<D

UZr1dDVN#

period_start {} 8(\Zr-7\ZDp<xd

cycle_start {} -7\ZDp<\Z#

year_start {} TZJCDxd`M,8Z;vxdytDj

]#

quarter_start {} TZJCDxd`M,8Z;vxdytD>

H#

month_start January
February
March
April
May
June
July
August
September
October
November
December

day_start {}

hour_start {}

minute_start {}

second_start {}

periods_per_cycle {} TZ-7\Z,8?v\ZPDZd}#

fiscal_year_begins January
February
March
April
May
June
July
August
September
October
November
December

TZ>Hxd,8(F~jH*<DB]#

week_begins_on Sunday

Monday

Tuesday

Wednesday

Thursday

Friday

Saturday

Sunday

TZ\ZTxd(;\PDl";lPD!

1";lPDVSM;lPDk),8(;\

*<DG;l#
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m 70. timeintervals ZctT (x).

timeintervals ZctT }]`M tThv

day_begins_hour {} TZ\ZTxd(;lPD!1";lPDV

SM;lPDk),8(;l*<D!1#I

Tk day_begins_minute M day_begins_second

aOp49C,T8(;v<71d,}g

8:05:01#kN{BfD9C>}#

day_begins_minute {} TZ\ZTxd(;lPD!1";lPDV

SM;lPDk),8(;l*<DVS(}

g 8:05PD 5)#

day_begins_second {} TZ\ZTxd(;lPD!1";lPDV

SM;lPDk),8(;l*<Dk(}g

8:05:17 PD 17)#

days_per_week {} TZ\ZTxd(;\PDl";lPD!

1";lPDVSM;lPDk),8(;\

PDl}#

hours_per_day {} TZ\ZTxd(;lPD!1";lPDV

SM;lPDk),8(;lPD!1}#

interval_increment 1

2

3

4

5

6

10

15

20

30

TZ;lPDVSM;lPDk,8(*?v

G<vSDVS}rk}#

field_name_extension V{.

field_name_extension_as_prefix <{5
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m 70. timeintervals ZctT (x).

timeintervals ZctT }]`M tThv

date_format "DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"
DAY
MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY
q Q YYYY
ww WK YYYY

time_format "HHMMSS"
"HHMM"
"MMSS"
"HH:MM:SS"
"HH:MM"
"MM:SS"
"(H)H:(M)M:(S)S"
"(H)H:(M)M"
"(M)M:(S)S"
"HH.MM.SS"
"HH.MM"
"MM.SS"
"(H)H.(M)M.(S)S"
"(H)H.(M)M"
"(M)M.(S)S"

aggregate Mean

Sum

Mode

Min

Max

First

Last

TrueIfAnyTrue

8(VNDc\=(#

pad Blank

MeanOfRecentPoints

true

False

8(VNDnd=(#

98 IBM SPSS Modeler 16 Python E>`FMT//8O



m 70. timeintervals ZctT (x).

timeintervals ZctT }]`M tThv

agg_mode All

Specify

8(Gy]h*9C1!/}c\rndyP

VN,9G8(*9CDVNM/}#

agg_range_default Mean

Sum

Mode

Min

Max

8(c\,xVN1*9CD1!/}#

agg_set_default Mode

First

Last

8(c\{eVN1*9CD1!/}#

agg_flag_default TrueIfAnyTrue

Mode

First

Last

pad_range_default Blank

MeanOfRecentPoints

8(nd,xVN1*9CD1!/}#

pad_set_default Blank

MostRecentValue

pad_flag_default Blank

true

False

max_records_to_create {} 8(ndrP1*4(DnsG<}#

estimation_from_beginning <{5

estimation_to_end <{5

estimation_start_offset {}

estimation_num_holdouts {}

create_future_records <{5

num_future_records {}

create_future_field <{5

future_field_name V{.

transpose ZctT

“*C”Zc;;PMPPD}],TcG<dIVN,VNdIG<#

m 71. transpose ZctT.

transpose ZctT }]`M tThv

transposed_names Prefix

Read

ITy]8(0:T/zIBVN{,2ITS}

]DVPVNPA!BVN{#

prefix V{.
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m 71. transpose ZctT (x).

transpose ZctT }]`M tThv

num_new_fields {} 9C0:1,8(*4(DBVNDns}?#

read_from_field VN SPA!{FDVN#KVNXkG;v5}/V

N,qr4PZc1+vm#

max_num_fields {} 1S3vVNPA!{F1,8(O^T\b4(

}sDVN}#

transpose_type }V

V{.

Custom

1!ivB,;\*C,x(}V6')VN,+

2IT!q}VVND(FS/r*CyPV{.

VN#

transpose_fields [field field field] 8(9C(F!n1*CDVN#

id_field_name VN

type ZctT

“`M”Zc8(VN*}]MtT#}g,zIT8(?vVNDb?6p(,x"{e"Pr

rj>)"hCCZ&m1'5M53 Null 5D!n"hCCZ(#DVNDG+"8(VNj

)M5j)T0*VN8(5#

"b,3)ivBI\h*j+5}/“`M”ZcE\9d{Zc}#KP,}g,“h*j>”ZcD fields

from tT#zIT;,S“m”Zc"4PCZcTTb)VNxP5}/#

m 72. type ZctT.

type ZctT }]`M tThv

direction Input

?j (Target)

Both

^ (None)

Vx

Split

5J (Frequency)

RecordID

VNG+D|XtT#

"b:5 In M Out VQ;Fv9C#

Z+4Df>PI\!{Tb)5D'V#

type 6' (Range)

jG

/O (Set)

^`M

Discrete

OrderedSet

Default

VNDb?6p(T0F*VND“`M”)#

+ type hC* Default ae}yPD values

N}hC,g{ value_mode D5* Specify,

G4d5+;XC* Read#g{+ value_mode

hC* Pass r Read,G4hC

type +;a0l value_mode#

"b:Z?9CD}]`Mk`MZcPDG)

d?;,#T&X5gB:

Range -> Continuous

Set - > Nominal

OrderedSet -> Ordinal

Discrete- > Categorical
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m 72. type ZctT (x).

type ZctT }]`M tThv

storage 4*

V{.

{}

5}

1d

UZ

1dAG

VNf"`MD;A|XtT#

check ^ (None)

Nullify

Coerce

Discard

Warn

Abort

VN`MM6'liD|XtT#

values [value value] TZ,xMVNxT,Z;vGn!5,s;v

Gns5#TZ{eVN,8(yP5#Tj>

VNxT,Z;v5zm false,s;v5zm

true#hCCtT+T/Q value_mode tThC

* Specify#

value_mode Read

Pass

A!+

10

Specify

7(5DhC==#"b,;\+KtT1Sh

C* Specify;*9CX(5,hhC values t

T#

extend_values boolean 1 value_mode hC* Read 1+&C#h* T

r+BA!D5mS=NbVPVN5#hC*

F r*zVP5"mSBA!5#

enable_missing boolean 1hC* T 1,G4$nTVN1'5DzY#

missing_values [value value ...] 8(m>1'}]D}]5#

range_missing boolean 8(Gq*VN(e1'5(UW)6'#

missing_lower string range_missing * true 1,KtT8(1'56

'DB^#

missing_upper string range_missing * true 1,KtT8(1'56

'DO^#

null_missing boolean hC* T 1,U(Zm~PT>* $null$ D4

(e5);S*1'5#

whitespace_missing boolean hC* T 1,v|,UW(Uq"Fm{M;P

{)D5;S*1'5#

description string *VN8(5w#

value_labels [{Value LabelString} {

Value LabelString} ...]

CZ*5T8(j)#

display_places integer *VNhCT>D!};}(vCZT REAL f

"DVN)#5* -1 1,+9Cw1!5#

export_places integer *VNhC<v1D!};}(vCZT REAL

f"DVN)#5* -1 1,+9Cw1!5#
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m 72. type ZctT (x).

type ZctT }]`M tThv

decimal_separator DEFAULT

PERIOD

COMMA

*VNhC.xFVt{(vCZT REAL f"

DVN)#

date_format "DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"
DAY
MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY
q Q YYYY
ww WK YYYY

*VNhCUZq=(vCZT DATE r TIME-

STAMP f"DVN)#

time_format "HHMMSS"
"HHMM"
"MMSS"
"HH:MM:SS"
"HH:MM"
"MM:SS"
"(H)H:(M)M:(S)S"
"(H)H:(M)M"
"(M)M:(S)S"
"HH.MM.SS"
"HH.MM"
"MM.SS"
"(H)H.(M)M.(S)S"
"(H)H.(M)M"
"(M)M.(S)S"

*VNhC1dq=(vCZT TIME r TIME-

STAMP f"DVN)#

number_format DEFAULT

STANDARD

SCIENTIFIC

CURRENCY

*VNhC}VT>q=#

standard_places integer *VNhCTj<q=T>1D!};}#5*

-1 1,+9Cw1!5#k"b,VPD

display_places (@2a|DKtT,+?0Q

;Y9C#

scientific_places integer *VNhCTF'F}q=T>1D!};}#

5* -1 1,+9Cw1!5#
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m 72. type ZctT (x).

type ZctT }]`M tThv

currency_places integer *VNhCTuRq=T>1D!};}#5*

-1 1,+9Cw1!5#

grouping_symbol DEFAULT

NONE

LOCALE

PERIOD

COMMA

SPACE

*VNhCVi{E#

column_width integer *VNhCPmH#5* -1 j6+PmHhC

* Auto#

justify AUTO

CENTER

LEFT

RIGHT

*VNhCPTkq=#
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Z 12 B <NZctT

<NZc+2tT

>Zi\<NZcDICtT,|(+2tTM?VZc`MXPDtT#

m 73. +2<NZctT.

+2<NZctT }]`M tThv

title V{. 8(jb#>}:″This is a title.″

caption V{. 8(DV5w#>}:″This is a caption.″

output_mode Screen

File

8(GT><NZcDdv9G+d4=D~P#

output_format BMP

JPEG

PNG

HTML

output (.cou)

8(dv`M#Jm?vZc9CD7Pdv`MG;

,D#

full_filename V{. *S<NZczIDdv8(?j76MD~{#

use_graph_size <{5 XFGq9CBfDmHM_HtTw7w{<NDs

!#;0ldv=A;D<N#;JCZ“V<”Zc#

graph_width }V 1 use_graph_size * True 1,TqX*%;hC<N

mH#

graph_height }V 1 use_graph_size * True 1,TqX*%;hC<N

_H#

="

XUI!VN#(}+tT5hC* " "(UV{.),ITXUI!VN(}g<D;~VN)#

8(U+#9C.yxFV{.(S.E (#) *<),I8(jb"j""30Mj)DU+#

0=;}8(l+Z];Pd=;}8(L+Z];ns=;}8(6+Z]#?;}Iq!;v;Z6' 0-9

r A-F ZD5#b)5Z;pIT8(l-L-6(4 RGB)U+#

"b:T RGB N=8(U+1,IT9CC'gfPDVN!qw7(}7DU+zk#;h+sj#tZ

U+OfMI$n,yhE"D$_a>#

collection ZctT

“U/”ZcT>;v}VVND5`TZm;v}VVND5DV<#(|4(`FZ1=<D

<N#)<>5w5;Od/Dd?rVN1,| GPCD#9C 3-D <Nm>1,9IT|(

;v4`pT>V<D{Ea#
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m 74. collection ZctT.

collection ZctT }]`M tThv

over_field VN

over_label_auto <{5

over_label V{.

collect_field VN

collect_label_auto <{5

collect_label V{.

three_D <{5

by_field VN

by_label_auto <{5

by_label V{.

operation Sum

Mean

Min

Max

SDev

color_field V{.

panel_field V{.

animation_field V{.

range_mode Automatic

UserDefined

range_min }V

range_max }V

bins ByNumber

ByWidth

num_bins }V

bin_width }V

use_grid <{5

graph_background U+ >ZZ*7&i\Kj<<NU+#

page_background U+ >ZZ*7&i\Kj<<NU+#

distribution ZctT

“V<”ZcT>{E(V`)5(}gV:`MrTp)DvVN}#(#,zIT9C“V<”

Zc4T>}]PD;=b,;sITZ4(#M09C“yb”Zc4@}K`;yb#

m 75. distribution ZctT.

distribution ZctT }]`M tThv

plot SelectedFields

Flags

x_field VN
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m 75. distribution ZctT (x).

distribution ZctT }]`M tThv

color_field VN ;~VN#

normalize <{5

sort_mode ByOccurence

Alphabetic

use_proportional_scale <{5

evaluation ZctT

“@@”ZcPzZ@@MHO$b#M#@@<mT>#M$bX(a{DESLH#|y]$

b5M$bCEHTG<xPEr#|+G<VItIv`,s!Di(V;}),;sS_=

W*?vV;}.V5qj<5#Z"c<P,T;,D_uT>`v#M#

m 76. evaluation ZctT.

evaluation ZctT }]`M tThv

chart_type Gains
Response
Lift
Profit
ROI
ROC

inc_baseline <{5

field_detection_method Metadata

Name

use_fixed_cost <{5

cost_value }V

cost_field V{.

use_fixed_revenue <{5

revenue_value }V

revenue_field V{.

use_fixed_weight <{5

weight_value }V

weight_field VN

n_tile Quartiles

Quintles

Deciles

Vingtiles

Percentiles

1000-tiles

cumulative j>

style Line

Point
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m 76. evaluation ZctT (x).

evaluation ZctT }]`M tThv

point_type Rectangle
Dot
Triangle
Hexagon
Plus
Pentagon
Star
BowTie
HorizontalDash
VerticalDash
IronCross
Factory
House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

export_data <{5

data_filename V{.

delimiter V{.

new_line <{5

inc_field_names <{5

inc_best_line <{5

inc_business_rule <{5

business_rule_condition V{.

plot_score_fields <{5

score_fields [field1 ... fieldN]

target_field VN

use_hit_condition <{5

hit_condition V{.

use_score_expression <{5

score_expression V{.

caption_auto <{5

graphboard ZctT

“<Ne”ZcZ%vZcPa)m`;,`MD<N#9CKZc,IT!q*=wD}]V

N,;sSJCZ!(}]DVNP!q ;v<N#KZcT/}KtyP;JCZVN!nD<

N`M#

":g{zhCT<N`M^'DtT(}g,*1=<8( y_field),G4+vTCtT#
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m 77. graphboard ZctT.

graphboard ZctT }]`M tThv

graph_type 2DDotplot

3DArea

3DBar

3DDensity

3DHistogram

3DPie

3DScatterplot

Area

ArrowMap

Bar

BarCounts

BarCountsMap

BarMap

BinnedScatter

Boxplot

Bubble

ChoroplethMeans

ChoroplethMedians

ChoroplethSums

ChoroplethValues

ChoroplethCounts

CoordinateMap

CoordinateChoroplethMeans

CoordinateChoroplethMedians

CoordinateChoroplethSums

CoordinateChoroplethValues

CoordinateChoroplethCounts

Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap

LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap

PointOverlayMap

PolygonOverlayMap

Ribbon

Scatterplot

SPLOM

Surface

j6<N`M#

x_field VN * x a8((Fj)#;JCZj)#

y_field VN * y a8((Fj)#;JCZj)#
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m 77. graphboard ZctT (x).

graphboard ZctT }]`M tThv

z_field VN CZ3) 3-D <#

color_field VN ZH<P9C#

size_field VN Zx]"c<P9C#

categories_field VN

values_field VN

rows_field VN

columns_field VN

fields VN

start_longitude_field VN kN<<PD}7dO9C#

end_longitude_field VN

start_latitude_field VN

end_latitude_field VN

data_key_field VN CZwV<#

panelrow_field V{.

panelcol_field V{.

animation_field V{.

longitude_field VN k<PDxjdO9C#

latitude_field VN

map_color_field VN

histogram ZctT

“1=<”ZcT>}VVND5DvVN}#KZc-#C4ZxP}]YwM#M9(0=w

}]#k“V<”Zc`F,“1=<”Zc-#C4R>}]PD;=b#

m 78. histogram ZctT.

histogram ZctT }]`M tThv

field VN

color_field VN

panel_field VN

animation_field VN

range_mode Automatic

UserDefined

range_min }V

range_max }V

bins ByNumber

ByWidth

num_bins }V

bin_width }V
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m 78. histogram ZctT (x).

histogram ZctT }]`M tThv

normalize <{5

separate_bands <{5

x_label_auto <{5

x_label V{.

y_label_auto <{5

y_label V{.

use_grid <{5

graph_background U+ >ZZ*7&i\Kj<<NU+#

page_background U+ >ZZ*7&i\Kj<<NU+#

normal_curve <{5 8vGq&ZdvPT>},V<z_#

multiplot ZctT

“`X"c<”Zc4(Z%v X VNOT>`v Y VND"c<#Y VN;fF*J+D_;?

u_`1Z“y=”hC*_R“X #=”hC*ErD"c<Zc#Z=w`vd?f1dFFDd

/iv1,`X"c<G#PC#

m 79. multiplot ZctT.

multiplot ZctT }]`M tThv

x_field VN

y_fields [field field field]

panel_field VN

animation_field VN

normalize <{5

use_overlay_expr <{5

overlay_expression V{.

records_limit }V

if_over_limit PlotBins

PlotSample

PlotAll

x_label_auto <{5

x_label V{.

y_label_auto <{5

y_label V{.

use_grid <{5

graph_background U+ >ZZ*7&i\Kj<<NU+#

page_background U+ >ZZ*7&i\Kj<<NU+#
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plot ZctT

"c<ZcIT>}VVNdDX5#I(}9Cc("c)r_4("c<#

m 80. plot ZctT.

plot ZctT }]`M tThv

x_field VN * x a8((Fj)#;JCZj)#

y_field VN * y a8((Fj)#;JCZj)#

three_D <{5 * y a8((Fj)#;JCZ 3 ,<NPDj)#

z_field VN

color_field VN ;~VN#

size_field VN

shape_field VN

panel_field VN 8(CZ*?v`pfF%@<mD{eVNrj>

VN#<m;p=LZ;vdv0ZP#

animation_field VN 8(T<5w}]5`p((}9C/-4(;5P

43rT>D<m45w)1y9CD{eVNrj

>VN#

transp_field VN 8(T<5w}]5`p((}*?v`p9C;,

6pD8wH45w)1y9CDVN#;JCZ_

"c<#

overlay_type None

Smoother

Function

8(GT>X~/}9G LOESS =,w#

overlay_expression V{. 8(1 overlay_type hC* Function 19CDmo

=#

style Point

Line

point_type Rectangle
Dot
Triangle
Hexagon
Plus
Pentagon
Star
BowTie
HorizontalDash
VerticalDash
IronCross
Factory
House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan
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m 80. plot ZctT (x).

plot ZctT }]`M tThv

x_mode Sort

Overlay

AsRead

x_range_mode Automatic

UserDefined

x_range_min }V

x_range_max }V

y_range_mode Automatic

UserDefined

y_range_min }V

y_range_max }V

z_range_mode Automatic

UserDefined

z_range_min }V

z_range_max }V

jitter <{5

records_limit }V

if_over_limit PlotBins

PlotSample

PlotAll

x_label_auto <{5

x_label V{.

y_label_auto <{5

y_label V{.

z_label_auto <{5

z_label V{.

use_grid <{5

graph_background U+ >ZZ*7&i\Kj<<NU+#

page_background U+ >ZZ*7&i\Kj<<NU+#

use_overlay_expr <{5 CtTQI overlay_type fz#

timeplot ZctT

“1d"c<”ZcT>;ir`i1drP}]#(#ivB,zWH*9C“1dxd”Zc4

(;v TimeLabel VN,CVNCZ* x ahCj)#

m 81. timeplot ZctT.

timeplot ZctT }]`M tThv

plot_series Series

Models
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m 81. timeplot ZctT (x).

timeplot ZctT }]`M tThv

use_custom_x_field <{5

x_field VN

y_fields [field field field]

panel <{5

normalize <{5

line <{5

points <{5

point_type Rectangle
Dot
Triangle
Hexagon
Plus
Pentagon
Star
BowTie
HorizontalDash
VerticalDash
IronCross
Factory
House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother <{5 ;P+ panel hC* True ,EI+=,dmS="

c<P#

use_records_limit <{5

records_limit {}

symbol_size }V 8({Es!#

panel_layout Horizontal

Vertical

web ZctT

Web Zc5w=vr=vTO{E(V`)VND5.dDX5?H#K<9C;,V8D_u4

m>,S?H#}g,zIT9C Web Zc4=wgSLqx>O;iL7D:r.dDX5#

m 82. web ZctT.

web ZctT }]`M tThv

use_directed_web <{5

fields [field field field]

to_field VN
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m 82. web ZctT (x).

web ZctT }]`M tThv

from_fields [field field field]

true_flags_only <{5

line_values Absolute

OverallPct

PctLarger

PctSmaller

strong_links_heavier <{5

num_links ShowMaximum

ShowLinksAbove

ShowAll

max_num_links }V

links_above }V

discard_links_min <{5

links_min_records }V

discard_links_max <{5

links_max_records }V

weak_below }V

strong_above }V

link_size_continuous <{5

web_display Circular

xg

Directed

Grid

graph_background U+ >ZZ*7&i\Kj<<NU+#

symbol_size }V 8({Es!#
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Z 13 B (#ZctT

+2(#ZctT

TBtT(CZ3)ryP(#Zc#yP}bivyy]h*G<Zwv(#ZcDD5P#

m 83. +2(#ZctT.

tT 5 tThv

custom_fields <{5 g{* true,G4Jmz*10Zc8(?j

VN"dkVNMd{VN#g{* false,G

4+9CON“`M”ZcD10hC#

target

r

targets

VN

r

[field1 ... fieldN]

y]#M`M8(;v?jVNr`v?j

VN#

inputs [field1 ... fieldN] #My9CDdkVNr$bd?VN#

partition VN

use_partitioned_data <{5 g{(eKVxVN,G4K!nI7#v

57VxD}]CZ9(#M#

use_split_data <{5

splits [field1 ... fieldN] 8(;vr`vCZVn(#DVN#vZ

use_split_data hC*f1P'#

use_frequency <{5 X(#My9CD(XVNM5JVN(N

{?V#M`MD5w)#

frequency_field VN

use_weight <{5

weight_field VN

use_model_name <{5

model_name V{. B#MD(F{F#

mode Simple

Expert

anomalydetection ZctT

Anomaly Detection Zc7(;{O“}#”}]q=Dl#[b5(k:5)#49k:5;%dN

NQ*q=rC';e~T:DiRTs,2IT9CKZc47(k:5#
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m 84. anomalydetection ZctT.

anomalydetection ZctT 5 tThv

inputs [field1 ... fieldN] “l#lb”#My]8(DdkVNTG

<xP8!#|G;9C?jVN#m

b,2;9C(XVNM5JVN#PX

|`E",kNDZ 117 3D:+2(#

ZctT;wb#

mode Expert

Simple

anomaly_method IndexLevel

PerRecords

NumRecords

8(CZ+G<jG*l#DVg5D7

(=(#

index_level }V 8(CZjGl#Dn!Vg5#

percent_records }V y]57}]PDG<YVH4hCCZ

jGG<DP5#

num_records }V y]57}]PDG<}?4hCCZj

GG<DP5#

num_fields {} kT?ul#G<(fDVN}#

impute_missing_values <{5

adjustment_coeff }V K5CZTFc`k13h,xMVNM

V`VND`T(XxP=b#

peer_group_num_auto <{5 T/FcTHi}#

min_num_peer_groups {} 8( peer_group_num_auto hC* True 1

9CDTHiDn!}#

max_num_per_groups {} 8(THiDns}?#

num_peer_groups {} 8( peer_group_num_auto hC* False

19CDTHi}#

noise_level }V 7(4([`Zd&mk:5D==#8

(5Xk* 0 = 0.5 .d#

noise_ratio }V 8(Vdx&CCZky:fDi~DZ

fH}#8(5Xk* 0 = 0.5 .d#

apriori ZctT

“Hi”ZcS}]i!;ifr,4i!E"Z]n`Dfr#Apriori Zca)eV!qfrD=

("9C4SDw}#=4_'X&ms}]/#TZOsDJb,Apriori 57DYH(#Ol;

|TI#tDfr}?;PNN^F,xRI&mn`xP 32 v0au~Dfr#“Hi”*sd

kMdvVNy*V`MVN,+r*|(*&mK`M}]xxPE/,rx&mYHlC

`#
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m 85. apriori ZctT.

apriori ZctT 5 tThv

consequents VN Apriori #M9C“a{”M“0au~”zfj<D?

jVNMdkVN#;9C(XVNM5JV

N#PX|`E",kNDZ 1173D:+2(

#ZctT;wb#

antecedents [field1 ... fieldN]

min_supp }V

min_conf }V

max_antecedents }V

true_flags <{5

optimize Speed

Memory

use_transactional_data <{5

contiguous <{5

id_field V{.

content_field V{.

mode Simple

Expert

evaluation RuleConfidence

DifferenceToPrior

ConfidenceRatio

InformationDifference

NormalizedChiSquare

lower_bound }V

optimize Speed

Memory

CZ8(#M9(GkTYH9GZfxPE

/#

autoclassifier ZctT

“T/V`w”ZcCZ4(MTH~*a{(Grq,w'r;w'H)DtI;,#M,9C

'IT!qx(VvDnQ&m=(#IZ'V `V(#c(,rKITTC'#{9CD=("

?V=(DX(!nT0THa{Dj<xP!q#Zcy]8(D!nzI;i#M"y]C

'8(Dj<EPnQr!nD3r#

m 86. autoclassifier ZctT.

autoclassifier ZctT 5 tThv

target VN TZj>?j,“T/V`w”Zch*%v?

jVNT0;vr`vdkVN#mb,2

IT9C(XM5JVN#PX|`E",

kNDZ 117 3D:+2(#ZctT;w

b#
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m 86. autoclassifier ZctT (x).

autoclassifier ZctT 5 tThv

ranking_measure Accuracy

Area_under_curve

Profit

Lift

Num_variables

ranking_dataset Training

Test

number_of_models {} bG*|(Z#MiPD#M}#8({}

Xk* 1 = 100 .d#

calculate_variable_importance <{5

enable_accuracy_limit <{5

accuracy_limit {} iZ 0 k 100 .dD{}#

enable_ area_under_curve _limit <{5

area_under_curve_limit }V iZ 0.0 k 1.0 .dD5}#

enable_profit_limit <{5

profit_limit }V sZ 0 D{}#

enable_lift_limit <{5

lift_limit }V bGsZ 1.0 D5}#

enable_number_of_variables_limit <{5

number_of_variables_limit }V sZ 0 D{}#

use_fixed_cost <{5

fixed_cost }V bGsZ 0.0 D5}#

variable_cost VN

use_fixed_revenue <{5

fixed_revenue }V bGsZ 0.0 D5}#

variable_revenue VN

use_fixed_weight <{5

fixed_weight }V bGsZ 0.0 D5}#

variable_weight VN

lift_percentile }V iZ 0 k 100 .dD{}#

enable_model_build_time_limit <{5

model_build_time_limit }V hC*VS}D{},CZ^F9(wv#

My(QD1d#

enable_stop_after_time_limit <{5

stop_after_time_limit }V bGhC*!1}D5},CZ^FKPT

/V`wD\D1#

enable_stop_after_valid_model_ pro-

duced

<{5

use_costs <{5

<algorithm> <{5 Jmr{99CX(c(#

<algorithm>.<property> V{. hCX(c(DtT5#kNDwbZ 121

3D:hCc(tT;Tq!|`E"#
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hCc(tT

CZT/V`wZcDc({FP cart"chaid"quest"c50"logreg"decisionlist"bayesnet"discrimi-

nant"svm M knn#

CZT/}VZcDc({FP cart"chaid"neuralnetwork"genlin"svm"regression"linear M knn#

“T/[`”ZcDc({FP twostep"k-means M kohonen#

tT{Gwc(ZcDD5PG<Dj<{F#

|,dcrd{jc{EDc(tTXk9C%}E(p#

2IT*tTVd`v5#

":

v hC true M false 51,Xk9CB5V{(x;G False)#

v g{3)c(!nZ“T/V`w”ZcP;IC,r_;\8(%v5x;\8(56',G4`4E>1

D^FkICj<==CJZc1D^F`,#

autocluster ZctT

“T/[`”Zc@cMHO6p_P`FXwG<iD[`#M#Zc$w==kd{T/(#

Zc`,,9zZ;N(#KPP4ITi`v!niO##MI9Cy>b?xPHO,T"

T}K[`#MDP'TT0TdxPEr,"a);vyZX(VNDX*TDb?#

m 87. autocluster ZctT.

autocluster ZctT 5 tThv

evaluation VN ":vJCZ“T/[`”Zc#j6*FcX

*T5DVN#mb,ICZj6[`TK

VND5xPxVD<CLH,Sxj6#

M$bKVND<CLH#

ranking_measure Silhouette

Num_clusters

Size_smallest_cluster

Size_largest_cluster

Smallest_to_largest

Importance

ranking_dataset Training

Test

summary_limit {} *Z(fPPvD#MD}?#8({}X

k* 1 = 100 .d#

enable_silhouette_limit <{5

silhouette_limit {} iZ 0 k 100 .dD{}#

enable_number_less_limit <{5

number_less_limit }V iZ 0.0 k 1.0 .dD5}#
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m 87. autocluster ZctT (x).

autocluster ZctT 5 tThv

enable_number_greater_limit <{5

number_greater_limit }V sZ 0 D{}#

enable_smallest_cluster_limit <{5

smallest_cluster_units Percentage

Counts

smallest_cluster_limit_percentage }V

smallest_cluster_limit_count {} sZ 0 D{}#

enable_largest_cluster_limit <{5

largest_cluster_units Percentage

Counts

largest_cluster_limit_percentage }V

largest_cluster_limit_count {}

enable_smallest_largest_limit <{5

smallest_largest_limit }V

enable_importance_limit <{5

importance_limit_condition Greater_than

Less_than

importance_limit_greater_than }V iZ 0 k 100 .dD{}#

importance_limit_less_than }V iZ 0 k 100 .dD{}#

<algorithm> <{5 Jmr{99CX(c(#

<algorithm>.<property> V{. hCX(c(DtT5#kNDwbZ 121

3D:hCc(tT;Tq!|`E"#

autonumeric ZctT

T/}VZc9C`V;,=(@FMTH#MD,x}V6'a{#KZcMT/V`wZc

D$w==`,,rKIT!q*9CM*Z%v(#+]P9C`v!niOxPbTDc

(#\'VDc(|(q-xg"C&R w"CHAID"_TXi"ce_TXiT0'Vr?z

(SVM)#IyZ`XH"`TmsrQCd?}T#MxPTH#

m 88. autonumeric ZctT.

autonumeric ZctT 5 tThv

custom_fields <{5 g{* True,+9C(FVNhCzf“`M

”ZchC#

target VN “T/}V”Zc*s%v?jVNT0;v

r`vdkVN#mb,2IT9C(XM

5JVN#PX|`E",kNDZ 117 3

D:+2(#ZctT;wb#

inputs [field1 ... field2]

partition VN

use_frequency <{5
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m 88. autonumeric ZctT (x).

autonumeric ZctT 5 tThv

frequency_field VN

use_weight <{5

weight_field VN

use_partitioned_data <{5 g{(eKVxVN,G4v+57}]C

Z#M9(#

ranking_measure Correlation

NumberOfFields

ranking_dataset Test

Training

number_of_models {} bG*|(Z#MiPD#M}#8({}

Xk* 1 = 100 .d#

calculate_variable_importance <{5

enable_correlation_limit <{5

correlation_limit {}

enable_number_of_fields_limit <{5

number_of_fields_limit {}

enable_relative_error_limit <{5

relative_error_limit {}

enable_model_build_time_limit <{5

model_build_time_limit {}

enable_stop_after_time_limit <{5

stop_after_time_limit {}

stop_if_valid_model <{5

<algorithm> <{5 Jmr{99CX(c(#

<algorithm>.<property> V{. hCX(c(DtT5#kNDwbZ 121

3D:hCc(tT;Tq!|`E"#

bayesnet ZctT

(}469xgZc,cIT{CTf5@gO*DPO&"aOy[lMG<D$]49(E

J#M#CZcXc&CKw)9r%469 (TAN) Mm{Ir2Gxg,b)c(w*CZV

`Jb#

m 89. bayesnet ZctT.

bayesnet ZctT 5 tThv

inputs [field1 ... fieldN] 469xg#M9C%v?jVNT0;

vr`vdkVN#,xVN+T/xP

Vd#PX|`E",kNDZ 117 3D

:+2(#ZctT;wb#

continue_training_existing_model <{5
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m 89. bayesnet ZctT (x).

bayesnet ZctT 5 tThv

structure_type TAN

MarkovBlanket

k!q*Z9(469xg19CDa

9#

use_feature_selection <{5

parameter_learning_method Likelihood

Bayes

8(8Zc5Q*DZc.dDu~EJ

mD$b=(#

mode Expert

Simple

missing_values <{5

all_probabilities <{5

independence Likelihood

Pearson

8(CZ7(=vd?DIT[b5Gq

`%@"D=(#

significance_level }V 8(CZ7(@"TDVg5#

maximal_conditioning_set }V hCCZ@"TbTDu~d?Dns}

?#

inputs_always_selected [field1 ... fieldN] 8(9(469xg1<U9CD}]/

VN#

"b:?jVN<U&Z!P4,#

maximum_number_inputs }V 8(9(469xg19CDdkVND

ns}?#

calculate_variable_importance <{5

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

buildr ZctT

“R 9(”Zc9z\;dk(F R E>,T4P IBM SPSS

Modeler P?pD#M9(M#M@V#

m 90. buildr tT.

buildr ZctT 5 tThv

build_syntax V{. bGCZxP#M9(D R E>o(#

score_syntax V{. bGCZxP#M@VD R E>o(#

convert_flags StringsAndDoubles
LogicalValues

K!nCZ*;j>VN#

convert_datetime <{5 K!nCZ+_PUZrUZ1dq=Dd

?*;* R UZ/1dq=#

convert_datetime_class POSIXct

POSIXlt

b)!nCZ8(*+UZrUZ1dq=

Dd?*;*24q=#

convert_missing <{5 K!nCZ+1'5*;* R NA 5#
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m 90. buildr tT (x).

buildr ZctT 5 tThv

output_html <{5 K!nCZZ R #MiPD!n(OT><

N#

output_text <{5 K!nCZ+ R XF(D>dv4A R #M

iPD!n(#

c50 ZctT

C5.0 Zc9(v_wrfr /#C#MD$w-mGy]Z?v6pa)nsE"UqDVNV

ny>#?jVNXk*V`VN#JmxP`N`Z=vSiDVn#

m 91. c50 ZctT.

c50 ZctT 5 tThv

target VN C50 #M9C%v?jVNT0;vr`vd

kVN#mb,9IT8((XVN#PX

|`E",kNDZ 117 3D:+2(#Z

ctT;wb#

output_type DecisionTree

RuleSet

group_symbolics <{5

use_boost <{5

boost_num_trials }V

use_xval <{5

xval_num_folds }V

mode Simple

Expert

favor Accuracy

Generality

EH!q<7T9G(CT#

expected_noise }V

min_child_records }V

pruning_severity }V

use_costs <{5

costs a9/ bGa9/tT#

use_winnowing <{5

use_global_pruning <{5 1!*“tC(True)#

calculate_variable_importance <{5

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation
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carma ZctT

CARMA #MZ;*sC'8(dkr?jVNDivBS}]i!;ifr#k Apriori ;,,

CARMA Zca)9(frhC'V(0nMsn'V),x;vvG0n'V#bMb6EzI

DfrITCZ|`&CLr,}gCZiRz7r~q(0n)DPm,b)z7r~qDs

n*kZZUZdYzDL7#

m 92. carma ZctT.

carma ZctT 5 tThv

inputs [field1 ... fieldn] CARMA #M9CdkVNPm,+;9C?

jVN#;9C(XVNM5JVN#PX

|`E",kNDZ 117 3D:+2(#Z

ctT;wb#

id_field VN KVNGCZxP#M9(D ID VN#

contiguous <{5 CZ8( ID VNPD ID Gq,x#

use_transactional_data <{5

content_field VN

min_supp }V(YVH) kfr'V`X,x;Gk0au~'V`

X#1!5* 20%#

min_conf }V(YVH) 1!5* 20%#

max_size }V 1!5* 10#

mode Simple

Expert

1!5* Simple#

exclude_multiple <{5 E}_P`va{Dfr#1!5* False#

use_pruning <{5 1!5* False#

pruning_value }V 1!5* 500#

vary_support <{5

estimated_transactions {}

rules_without_antecedents <{5

cart ZctT

V`MXi (C&R) wZczIICZ$brV`44[b5Dv_w#C=((}Z?v=hn

s^H5M;?`H,9C]iVx4+57G<Vn*i#g{wP3vZcP 100% D[b5

<tZ?jVND;vX(`p,G4CZc+;O(*“?`”#?jMdkVNITG}V6

'rV`({e"Prrj>);yPVny*~*Vn(4vVn*=vSi)#

m 93. cart ZctT.

cart ZctT 5 tThv

target VN C&R w#Mh*%v?jVNT0;vr`

vdkVN#mb,9IT8(5JVN#

PX|`E",kNDZ 117 3D:+2(

#ZctT;wb#

continue_training_existing_model <{5
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m 93. cart ZctT (x).

cart ZctT 5 tThv

objective Standard

Boosting

Bagging

psm

psm CZG#sD}]/,,1h* Server ,

S#

model_output_type Single

InteractiveBuilder

use_tree_directives <{5

tree_directives V{. 8(CZ9wz$D18n#b)18nI

T(Z}X}EP,T\b*eBPr}

E#k"b,18nI\T}]r(#!n

D8"d/_HtP,"RI\^((CZ

d{}]/#

use_max_depth Default

Custom

max_depth {} nswnHS 0 = 1 0 0 0#;Z

use_max_depth = Custom 19C#

prune_tree <{5 ^tw,T\b}HbO#

use_std_err <{5 9CnsgUn5(j<sn)#

std_err_multiplier }V nsn5#

max_surrogates }V nszCn#

use_percentage <{5

min_parent_records_pc }V

min_child_records_pc }V

min_parent_records_abs }V

min_child_records_abs }V

use_costs <{5

costs a9/ a9/tT#

priors Data

Equal

Custom

custom_priors a9/ a9/tT#

adjust_priors <{5

trails }V CZFxri0Di~#M}#

set_ensemble_method Voting

HighestProbability

HighestMeanProbability

V`?jD1!iOfr#

range_ensemble_method Mean

Median

,x?jD1!iOfr#

large_boost <{5 TG#sMD}]/&CFx#

min_impurity }V

impurity_measure Gini

Twoing

Ordered
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m 93. cart ZctT (x).

cart ZctT 5 tThv

train_pct }V @9}HbO/O#

set_random_seed <{5 4Fa{!n#

seed }V

calculate_variable_importance <{5

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

chaid ZctT

CHAID 9C(=3F4zIv_w,T7(nQDVn#CHAID k C&R wM QUEST Zc;

,,|ITzIG~*w,bb6EP)Vn+P`Z=vDV'#?jMdkVNITG}V

6'(,x)rV`#Exhaustive CHAID G CHAID D^}f,|TyPVnxP|9WDli,

+Fc1dHO$#

m 94. chaid ZctT.

chaid ZctT 5 tThv

target VN CHAID #Mh*%v?jVNT0;vr`

vdkVN#mb,9IT8(5JVN#

PX|`E",kNDZ 117 3D:+2(

#ZctT;wb#

continue_training_existing_model <{5

objective Standard

Boosting

Bagging

psm

psm CZG#sD}]/,,1h* Server ,

S#

model_output_type Single

InteractiveBuilder

use_tree_directives <{5

tree_directives V{.

method Chaid

ExhaustiveChaid

use_max_depth Default

Custom

max_depth {} nswnHS 0 = 1 0 0 0#;Z

use_max_depth = Custom 19C#

use_percentage <{5

min_parent_records_pc }V

min_child_records_pc }V

min_parent_records_abs }V

min_child_records_abs }V
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m 94. chaid ZctT (x).

chaid ZctT 5 tThv

use_costs <{5

costs a9/ a9/tT#

trails }V CZFxri0Di~#M}#

set_ensemble_method Voting

HighestProbability

HighestMeanProbability

V`?jD1!iOfr#

range_ensemble_method Mean

Median

,x?jD1!iOfr#

large_boost <{5 TG#sMD}]/&CFx#

split_alpha }V CZ4PVnDTxT.=#

merge_alpha }V CZ4PO"DTxT.=#

bonferroni_adjustment <{5 9C Bonferroni (w{TxT5#

split_merged_categories <{5 JmTO"D`pxPYVn#

chi_square Pearson

LR

bGCZFc(=3FD=(:Pearson rF;

H

epsilon }V Z{%*q5JDn!d/5#

max_iterations }V U2Dns|zN}#

set_random_seed {}

seed }V

calculate_variable_importance <{5

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

maximum_number_of_models {}

coxreg ZctT

9C Cox XiZc,zITZQPDliG<P("1dB~Dzf#M#C#MazI;vz

f/},C/}I$bZx(1d (t) ZTZyx(Ddkd?5`XB~D"zEJ#

m 95. coxreg ZctT.

coxreg ZctT 5 tThv

survival_time VN Cox Xi#Mh*%v|,zf1dDV

N#

target VN Cox Xi#Mh*%v?jVNT0;vr

`vdkVN#PX|`E",kNDZ

1173D:+2(#ZctT;wb#
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m 95. coxreg ZctT (x).

coxreg ZctT 5 tThv

method Enter

Stepwise

BackwardsStepwise

groups VN

model_type MainEffects

Custom

custom_terms [″BP*Sex″ ″BP*Age″]

mode Expert

Simple

max_iterations }V

p_converge 1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

0

p_converge 1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

0

l_converge 1.0E-1

1.0E-2

1.0E-3

1.0E-4

1.0E-5

0

removal_criterion LR

Wald

Conditional

probability_entry }V

probability_removal }V

output_display EachStep

LastStep

ci_enable <{5

ci_value 90

95

99

correlation <{5

display_baseline <{5

survival <{5

hazard <{5

log_minus_log <{5

130 IBM SPSS Modeler 16 Python E>`FMT//8O



m 95. coxreg ZctT (x).

coxreg ZctT 5 tThv

one_minus_survival <{5

separate_line VN

value }VrV{. g{4T3vVN8(5,G4+TCV

N9C1!!n“y5”#

decisionlist ZctT

v_PmZcIj6SirN,T>k\e`XDx(~*a{DF;HD_M#}g,zrm

Z0RG)n;I\w'DM'rnPI\T3vL5n/wv}+l&DM'#(}(FNM

"E$@8!#M4HOa{,zIT+T:D5q*6eVZ#MP#v_Pm#MI;if

r9I,dP?vfr_8;vu~M;va{#fr@3r&C,`%dDZ;vfr+v(

a{#

m 96. decisionlist ZctT.

decisionlist ZctT 5 tThv

target VN “v_Pm”#M9C%v?jT0;vr`

vdkVN#mb,9IT8(5JVN#

PX|`E",kNDZ 117 3D:+2(

#ZctT;wb#

model_output_type Model

InteractiveBuilder

search_direction Up

Down

kiRN`X;dP Up `1Z“_EJ”,x

Down `1Z“MEJ”#

target_value V{. g{48(,G4j>+IC true 5#

max_rules {} }`}TbDnsN}#

min_group_size {} n!Ns!#

min_group_size_pct }V n!Ns!(TYVHm>)#

confidence_level }V *K9dkVN{OmS=N(eDu~,

dkVNXk+l&F;Ha_(a})D

n!P5#

max_segments_per_rule {}

mode Simple

Expert

bin_method EqualWidth

EqualCount

bin_count }V

max_models_per_cycle {} PmDQwmH#

max_rules_per_cycle {} NfrDQwmH#

segment_growth }V

include_missing <{5

final_results_only <{5
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m 96. decisionlist ZctT (x).

decisionlist ZctT 5 tThv

reuse_fields <{5 JmX49CtT(vVZfrPDdkV

N)#

max_alternatives {}

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

discriminant ZctT

PpVvyvDYhH logistic XiDYh|Oq,+Z{Ob)Yh1,PpVvITw* logis-

tic XiVvDPCfznr9d#

m 97. discriminant ZctT.

discriminant ZctT 5 tThv

target VN “Pp”#Mh*%v?jVNT0;vr`v

dkVN#;9C(XVNM5JVN#P

X|`E",kNDZ 117 3D:+2(#

ZctT;wb#

method Enter

Stepwise

mode Simple

Expert

prior_probabilities AllEqual

ComputeFromSizes

covariance_matrix WithinGroups

SeparateGroups

means <{5 “_6dv”T0rPD3F!n#

univariate_anovas <{5

box_m <{5

within_group_covariance <{5

within_groups_correlation <{5

separate_groups_covariance <{5

total_covariance <{5

fishers <{5

unstandardized <{5

casewise_results <{5 “_6dv”T0rPDV`!n#

limit_to_first }V 1!5* 10#

summary_table <{5

leave_one_classification <{5
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m 97. discriminant ZctT (x).

discriminant ZctT 5 tThv

combined_groups <{5

separate_groups_covariance <{5 Xs!n`-=n #

territorial_map <{5

combined_groups <{5 "c<!n *Oi #

separate_groups <{5 "c<!n @"i #

summary_of_steps <{5

F_pairwise <{5

stepwise_method WilksLambda

UnexplainedVariance

MahalanobisDistance

SmallestF

RaosV

V_to_enter }V

criteria UseValue

UseProbability

F_value_entry }V 1!5* 3.84#

F_value_removal }V 1!5* 2.71#

probability_entry }V 1!5* 0.05#

probability_removal }V 1!5* 0.10#

calculate_variable_importance <{5

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

factor ZctT

“PCA/rS”Zca)CZ5M}]4SLHD?s}]5,<u#wI]Vv(PCA)IRvd

kVND_TiO,CiOnCX6qK{vVN/OPD=n,RiOPDwvIV`%};

(`%91)#rSVvr"T6pWcrX,b)rX5wK[bDVN/OZD`XT#

=#TZb=V=(,d2,D?jGR=IT-<VN/OPDE"xPP'\aDY?Iz

VN#

m 98. factor ZctT.

factor ZctT 5 tThv

inputs [field1 ... fieldN] “PCA/rS”#M9CdkVNPm,+;9

C?jVN#;9C(XVNM5JVN#

PX|`E",kNDZ 117 3D:+2(

#ZctT;wb#
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m 98. factor ZctT (x).

factor ZctT 5 tThv

method PC

ULS

GLS

ML

PAF

Alpha

Image

mode Simple

Expert

max_iterations }V

complete_records <{5

matrix Correlation

Covariance

extract_factors ByEigenvalues

ByFactors

min_eigenvalue }V

max_factor }V

rotation None

Varimax

DirectOblimin

Equamax

Quartimax

Promax

delta }V g{!q DirectOblimin w*}*}]D`

M,G4IT8( delta D5#

g{48(;v5,G4+9C delta D1!

5#

kappa }V g{!q Promax w*}*}]D`M,G4

IT8( kappa D5#

g{48(;v5,G4+9C kappa D1!

5#

sort_values <{5

hide_values <{5

hide_below }V

featureselection ZctT

“Xw!q”Zcy];iu~(}g1'5YVH)8!*}%DdkVN,;s,`TZ8(

?jT`BDdkDX*TxPEH#}g,Yg3vx(}]/PO'v1Zdk,G4D)

dknPI\CZT<_a{xP(#X?
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m 99. featureselection ZctT.

featureselection ZctT 5 tThv

target VN “Xw!q”#M`TZ8(D?jT$b

d?xPEH#;9C(XVNM5JV

N#PX|`E",kNDZ 117 3D

:+2(#ZctT;wb#

screen_single_category <{5 g{* True,G4+8!`TZG<\}

xT,v`pP_P}`G<DVN#

max_single_category }V 8( screen_single_category * True 1

9CDP5#

screen_missing_values <{5 g{* True,G4+8!_P}`1'5

DVN,VN}m>*G<\}DYV

H#

max_missing_values }V

screen_num_categories <{5 g{* True,G4+8!`TZG<\}

xT_P}``pDVN#

max_num_categories }V

screen_std_dev <{5 g{* True,G4+8!j<n!ZrH

Z8(n!5DVN#

min_std_dev }V

screen_coeff_of_var <{5 g{* True,G4+8!=n5}!Zr

HZ8(n!5DVN#

min_coeff_of_var }V

criteria Pearson

Likelihood

CramersV

Lambda

y]V`?jTV`$bd?xPEH

1,8(X*T5y@]DH?#

unimportant_below }V 8(CZ+d?EH*“X*”"“_J”r“

;X*”D p P5#S\S 0.0 = 1.0 D

5#

important_above }V S\S 0.0 = 1.0 D5#

unimportant_label V{. 8(“;X*”EHDj)#

marginal_label V{.

important_label V{.

selection_mode ImportanceLevel

ImportanceValue

TopN

select_important <{5 Z s e l e c t i o n _ m o d e hC*

ImportanceLevel 1,8(Gq!q“X*”

VN#

select_marginal <{5 Z s e l e c t i o n _ m o d e hC*

ImportanceLevel 1,8(Gq!q“_J”

VN#

select_unimportant <{5 Z s e l e c t i o n _ m o d e hC*

ImportanceLevel 1,8(Gq!q“;X*

”VN#
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m 99. featureselection ZctT (x).

featureselection ZctT 5 tThv

importance_value }V Z s e l e c t i o n _ m o d e hC*

ImportanceValue 1,8(*9CDVg

5#S\S 0 = 100 D5#

top_n {} Z selection_mode hC* TopN 1,8(

*9CDVg5#S\S 0 = 1000 D5#

genlin ZctT

“ce_T”#MT;c_T#MxPK)9,byrd?(}8(DX*/}krSM-d?_

T`X#xR,C#M9Jmrd?*G},V<#||(3F#Ms?VD&\,dP|(_

TXi"logistic Xi"CZF}}]DT}_T#MT0xd>'zf#M#

m 100. genlin ZctT.

genlin ZctT 5 tThv

target VN ce_T#M*s%v?jVN(XkG;

v/Orj>),T0;vr`vdkV

N#mb,9IT8((XVN#PX|`

E",kNDZ 117 3D:+2(#Zct

T;wb#

use_weight <{5

weight_field VN VN`M;P“,x”#

target_represents_trials <{5

trials_type Variable

FixedValue

trials_field VN VN`M|(“,x”"“j>”r“Pr”#

trials_number }V 1!5* 10#

model_type MainEffects

MainAndAllTwoWayEffects

offset_type Variable

FixedValue

offset_field VN VN`M;P“,x”#

offset_value }V XkG5}#

base_category Last

First

include_intercept <{5

mode Simple

Expert
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m 100. genlin ZctT (x).

genlin ZctT 5 tThv

distribution BINOMIAL

GAMMA

IGAUSS

NEGBIN

NORMAL

POISSON

TWEEDIE

MULTINOMIAL

IGAUSS:f_9#

NEGBIN::~n=#

negbin_para_type Specify

Estimate

negbin_parameter }V 1!5* 1#Xk|,G:5}#

tweedie_parameter }V

link_function IDENTITY

CLOGLOG

LOG

LOGC

LOGIT

NEGBIN

NLOGLOG

ODDSPOWER

PROBIT

POWER

CUMCAUCHIT

CUMCLOGLOG

CUMLOGIT

CUMNLOGLOG

CUMPROBIT

CLOGLOG:%9+T}#

LOGC:T}9}#

NEGBIN::~n=#

NLOGLOG::+T}#

CUMCAUCHIT:[} Cauchit#

CUMCLOGLOG:[}%9+T}#

CUMLOGIT:[} Logit#

CUMNLOGLOG:[}:+T}#

CUMPROBIT[} Probit#

power }V 5XkGGc5}#

method Hybrid

Fisher

NewtonRaphson

max_fisher_iterations }V 1!5* 1;;Jm9C}{}#

scale_method MaxLikelihoodEstimate

Deviance

PearsonChiSquare

FixedValue

scale_value }V 1!5* 1;XksZ 0#

covariance_matrix ModelEstimator

RobustEstimator

max_iterations }V 1!5* 100;;Jm9CG:{}#

max_step_halving }V 1!5* 5;;Jm9C}{}#

check_separation <{5

start_iteration }V 1!5* 20;;Jm9C}{}#

estimates_change <{5

estimates_change_min }V 1!5* 1E-006;;Jm9C}}#
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m 100. genlin ZctT (x).

genlin ZctT 5 tThv

estimates_change_type Absolute

Relative

loglikelihood_change <{5

loglikelihood_change_min }V ;Jm9C}}#

loglikelihood_change_type Absolute

Relative

hessian_convergence <{5

hessian_convergence_min }V ;Jm9C}}#

hessian_convergence_type Absolute

Relative

case_summary <{5

contrast_matrices <{5

descriptive_statistics <{5

estimable_functions <{5

model_info <{5

iteration_history <{5

goodness_of_fit <{5

print_interval }V 1!5* 1;XkG}{}#

model_summary <{5

lagrange_multiplier <{5

parameter_estimates <{5

include_exponential <{5

covariance_estimates <{5

correlation_estimates <{5

analysis_type TypeI

TypeIII

TypeIAndTypeIII

statistics Wald

LR

citype Wald

Profile

tolerancelevel }V 1!5* 0.0001#

confidence_interval }V 1!5* 95#

loglikelihood_function Full

Kernel

singularity_tolerance 1E-007

1E-008

1E-009

1E-010

1E-011

1E-012
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m 100. genlin ZctT (x).

genlin ZctT 5 tThv

value_order Ascending

Descending

DataOrder

calculate_variable_importance <{5

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

glmm ZctT

ce_TlO#M (GLMM) )9K_T#M,9C?jITPG},V<,(}8(DX*/}

krSM-d?_T`X,"R[b5I\`X#ce_TlO#M-GSr%_TXi#M=

G},]r}]D4S`6#MDwV#M#

m 101. glmm ZctT.

glmm ZctT 5 tThv

residual_subject_spec a9/ bG8(DV`VND5iO,KiO(;

X(e}]/PDwe#

repeated_measures a9/ b)VNCZj6X4[b5#

residual_group_spec [field1 ... fieldN] b)VNCZ(eX4'&-=nN}D@

"/O#

residual_covariance_type TG_ (Diagonal)

AR1

ARMA11

COMPOUND_SYMMETRY

IDENTITY

TOEPLITZ

UNSTRUCTURED

VARIANCE_COMPONENTS

8(P5D-=na9#

custom_target boolean 8wG9CZONZc(eD?j (false) 9

GI target_field 8(D(F?j (true)#

target_field VN *Cw?jDVN(g{ custom_target *

true)#

use_trials boolean 8>?jl&G;iTiP"zDZ`B~

1,Gq9CCZ8(Ti}D=SVNr

5#1!5* false#

use_field_or_value VN

5 (Value)

8>G9CVN(1!)9G548(Ti

}#

trials_field VN KVNCZ8(Ti}#

trials_value integer K5CZ8(Ti}#g{8(KtT,G

4n!5* 1#
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m 101. glmm ZctT (x).

glmm ZctT 5 tThv

use_custom_target_reference boolean 8>+(FN<`pCZV`?j#1!5

* false#

target_reference_value string *9CDN<`p(g{

use_custom_target_reference * true)#

dist_link_combination {e (Nominal)

Logit

GammaLog

BinomialLogit

PoissonLog

BinomialProbit

NegbinLog

BinomialLogC

T(e (Custom)

?j5DV<D+2#M#!q Custom IT

8( target_distribution ya)DPmPD

V<#

target_distribution }, (Normal)

~n

Multinomial

$j (Gamma)

f#M

NegativeBinomial

4I (Poisson)

1 dist_link_combination * Custom 1?j

5DV<#

link_function_type IDENTITY

LOGC

LOG

CLOGLOG

LOGIT

NLOGLOG

PROBIT

POWER

CAUCHIT

bGCZ9?j5k$bd?`XDX*/}#

g{ target_distribution * Binomial,

G4zIT9CNNPvDX*/}#

g{ target_distribution * Multinomial,

G4zIT9C CLOGLOG"CAUCHIT"LOGIT"

NLOGLOG r PROBIT#

g{ target_distribution ;G Binomial r

Multinomial,G4zIT9C IDENTITY"

LOG r POWER#

link_function_param number *9CDX*/}N}5#v1

normal_link_function r link_function_type

* POWER 1EJC#

use_predefined_inputs boolean 8>L('&VNG(e*dkVNDOw

(true ) 9G4T fixed_effects_list

(false)#1!5* false#

fixed_effects_list a9/ g{ use_predefined_inputs * false,G4

8(+dkVNCwL('&VN#

use_intercept boolean g{* true(1!),G4Z#MP|(X

`#

random_effects_list a9/ w*fz'&8(DVNPm#

regression_weight_field VN KVNCwVv(XVN#

use_offset ^ (None)

offset_value

offset_field

8>gN8(=F#5 None m>;9C=

F#

offset_value number use_offset hC* offset_value 19CD=

F5#
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m 101. glmm ZctT (x).

glmm ZctT 5 tThv

offset_field VN use_offset hC* offset_field 1CZ=F

5DVN#

target_category_order }r (Ascending)

5r (Descending)

Data

V`?jDEr3r#5 Data 8(9C}]

PDEr3r#1!5* Ascending#

inputs_category_order }r (Ascending)

5r (Descending)

Data

V`$bd?DEr3r#5 Data 8(9C

}]PDEr3r#1!5* Ascending#

max_iterations integer Kc(*4PDns|zN}#G:{};

1!5* 100#

confidence_level integer bGCZFc#M5}Dxd@F5DCE

H6p#G:{};ns5* 100,1!5*

95#

degrees_of_freedom_method Fixed

Varied

8(gNFcTIHTxPTxTli#

test_fixed_effects_coeffecients #M (Model)

Robust

bGCZFcN}@F-=nXsD=(#

use_p_converge <{5 CZN}U2D!n#

p_converge number UWrNN}5#

p_converge_type Absolute
Relative

use_l_converge <{5 CZT}F;U2D!n#

l_converge number UWrNN}5#

l_converge_type Absolute
Relative

use_h_converge <{5 CZ Hessian U2D!n#

h_converge number UWrNN}5#

h_converge_type Absolute
Relative

max_fisher_steps integer

singularity_tolerance number

use_model_name boolean 8>G*#M8((F{F (true) 9G9C5

3zID{F (false)#1!5* false#

model_name string g{ use_model_name * true,G48(9C

D#M{F#

confidence onProbability

onIncrease

Fc@VCEH5Dy!:n_$bEJr

_n_kN_$bEJ.n#

score_category_probabilities boolean g{* true,G4*V`?jzI$bEJ#

1!5* false#

max_categories integer g{ score_category_probabilities *

true,G48(#fns`p}#

score_propensity boolean g{* true,G4*jG?jVNzIcrC

V,8>VNa{*“true”DI\T#
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m 101. glmm ZctT (x).

glmm ZctT 5 tThv

emeans structure TZL('&PmPD?vV`VN,8(

GqzI@F_Jy5#

covariance_list structure TZL('&PmPD?v,xVN,8(

Fc@F_Jy51G9Cy59G(F

5#

mean_scale Original

Q*; (Transformed)

8(Gy]?jD-<_H(1!)9Gy

]X*/}*;4Fc@F_Jy5#

comparison_adjustment_method LSD

SEQBONFERRONI

SEQSIDAK

T`vTH4PYhli19CDw{=

(#

kmeans ZctT

K-Means Zc+}]/[`=;,Vi(r[`)#K=(+(eL(D[`}?,+G<|zV

dx[`,T0w{[`PD,1=x;=E/^(YDx#M#k-means Zcw*;VG`='

0zF,|";T<$ba{,xGR>~,ZdkVN/PD#=#

m 102. kmeans ZctT.

kmeans ZctT 5 tThv

inputs [field1 ... fieldN] K-means #MZ;5PdkVNO4P[`V

v,+";9C?jVN#;9C(XVN

M5JVN#PX|`E",kNDZ 117

3D:+2(#ZctT;wb#

num_clusters }V

gen_distance <{5

cluster_label V{.

}V

label_prefix V{.

mode Simple

Expert

stop_on Default

Custom

max_iterations }V

tolerance }V

encoding_value }V

optimize Speed

Memory

CZ8(#M9(GkTYH9GZfxP

E/#
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knn ZctT

The k-n|`Z*X (KNN) Zc+BDv8X*=$bd?UdPkdnZ|D k vTsD`p

r5(dP k *{})#`Fv8`%?|,x;,v8`%6k#

m 103. knn ZctT.

knn ZctT 5 tThv

analysis PredictTarget

IdentifyNeighbors

objective Balance

Speed

Accuracy

Custom

normalize_ranges <{5

use_case_labels <{5 K4!rCZtCB;v!n#

case_labels_field VN

identify_focal_cases <{5 K4!rCZtCB;v!n#

focal_cases_field VN

automatic_k_selection <{5

fixed_k {} ;P1 automatic_k_selectio * False 1E

tC#

minimum_k {} ;P1 automatic_k_selectio * True 1E

tC#

maximum_k {}

distance_computation Euclidean

CityBlock

weight_by_importance <{5

range_predictions Mean

Median

perform_feature_selection <{5

forced_entry_inputs [field1 ... fieldN]

stop_on_error_ratio <{5

number_to_select {}

minimum_change }V

validation_fold_assign_by_field <{5

number_of_folds {} ;P1 validation_fold_assign_by_field *

False 1EtC#

set_random_seed <{5

random_seed }V

folds_field VN ;P1 validation_fold_assign_by_field *

True 1EtC#

all_probabilities <{5

save_distances <{5

Z 13 B (#ZctT 143



m 103. knn ZctT (x).

knn ZctT 5 tThv

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

kohonen ZctT

Kohonen ZcazI;Vq-xg,Kq-xgICZ+}]/[`=wvnli#Kxg57j

Is,`FDG<&Zdv3dPt\X[/,nlsDG<r&KK6k#zIT(}i4#

Mi P?v%*y6q[b5D}?4Rvf#OsD%*#b+CzT[`D`&}?Py@

F#

m 104. kohonen ZctT.

kohonen ZctT 5 tThv

inputs [field1 ... fieldN] Kohonen #M9CdkVNDPm,+;9C

?j#;9C5JVNM(XVN#PX|

`E",kNDZ 117 3D:+2(#Zc

tT;wb#

continue <{5

show_feedback <{5

stop_on Default

1d

time }V

optimize Speed

Memory

CZ8(#M9(GkTYH9GZfxP

E/#

cluster_label <{5

mode Simple

Expert

width }V

length }V

decay_style _T (Linear)

Exponential

phase1_neighborhood }V

phase1_eta }V

phase1_cycles }V

phase2_neighborhood }V

phase2_eta }V

phase2_cycles }V
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linear ZctT

_TXi#My]?jk;vr`v$bd?.dD_TX5$b,x?j#

m 105. linear ZctT.

linear ZctT 5 tThv

target VN 8(%v?jVN#

inputs [field1 ... fieldN] #M9CD$bd?VN#

continue_training_existing_model <{5

objective Standard

Bagging

Boosting

psm

psm CZG#sD}]/,,1h* Server ,

S#

use_auto_data_preparation <{5

confidence_level }V

model_selection ForwardStepwise

BestSubsets

None

criteria_forward_stepwise AICC

Fstatistics

AdjustedRSquare

ASE

probability_entry }V

probability_removal }V

use_max_effects <{5

max_effects }V

use_max_steps <{5

max_steps }V

criteria_best_subsets AICC

AdjustedRSquare

ASE

combining_rule_continuous Mean

Median

component_models_n }V

use_random_seed <{5

random_seed }V

use_custom_model_name <{5

custom_model_name V{.

use_custom_name <{5

custom_name V{.
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m 105. linear ZctT (x).

linear ZctT 5 tThv

tooltip V{.

keywords V{.

annotation V{.

logreg ZctT

Logistic XiG;V3F=(,|Iy]dkVND5TG<xPV`#|`FZ_TXi,+I

CDG`p?jVNxG}V6'#

m 106. logreg ZctT.

logreg ZctT 5 tThv

target VN Logistic Xi#Mh*;v?jVNT0;v

r`vdkVN#;9C5JVNM(XV

N#PX|`E",kNDZ 117 3D:+

2(#ZctT;wb#

logistic_procedure Binomial

Multinomial

include_constant <{5

mode Simple

Expert

method Enter

Stepwise

Forwards

Backwards

BackwardsStepwise

binomial_method Enter

Forwards

Backwards

model_type MainEffects

FullFactorial

Custom

+ FullFactorial 8(*#M`M1,49

8(K=x=(,=x=(2;aKP#x

G9C Enter =(#

g{+#M`MhC* Custom,+48((

FVN,G4+9(w'&#M#

custom_terms [{BP Sex}{BP}{Age}]

multinomial_base_category V{. 8(gN7(N<`p#

binomial_categorical_input V{.
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m 106. logreg ZctT (x).

logreg ZctT 5 tThv

binomial_input_contrast Indicator

Simple

Difference

Helmert

Repeated

Polynomial

Deviation

bGV`dkD|XtT,CZ8(gN7

(TH#

binomial_input_category First

Last

bGV`dkD|XtT,CZ8(gN7

(N<`p#

scale None

UserDefined

Pearson

Deviance

scale_value }V

all_probabilities <{5

tolerance 1.0E-5

1.0E-6

1.0E-7

1.0E-8

1.0E-9

1.0E-10

min_terms }V

use_max_terms <{5

max_terms }V

entry_criterion Score

LR

removal_criterion LR

Wald

probability_entry }V

probability_removal }V

binomial_probability_entry }V

binomial_probability_removal }V

requirements HierarchyDiscrete HierarchyAll

Containment

None

max_iterations }V

max_steps }V

p_converge 1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

0
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m 106. logreg ZctT (x).

logreg ZctT 5 tThv

l_converge 1.0E-1

1.0E-2

1.0E-3

1.0E-4

1.0E-5

0

delta }V

iteration_history <{5

history_steps }V

summary <{5

likelihood_ratio <{5

asymptotic_correlation <{5

goodness_fit <{5

parameters <{5

confidence_interval }V

asymptotic_covariance <{5

classification_table <{5

stepwise_summary <{5

info_criteria <{5

monotonicity_measures <{5

binomial_output_display at_each_step

at_last_step

binomial_goodness_of_fit <{5

binomial_parameters <{5

binomial_iteration_history <{5

binomial_classification_plots <{5

binomial_ci_enable <{5

binomial_ci }V

binomial_residual outliers

all

binomial_residual_enable <{5

binomial_outlier_threshold }V

binomial_classification_cutoff }V

binomial_removal_criterion LR

Wald

Conditional

calculate_variable_importance <{5

calculate_raw_propensities <{5
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neuralnet ZctT
"b:ZK"PfPa)K_Pv?&\DBf>Dq-xg(#Zc,"+ZB;Z (neuralnetwork) PxP

i\#!\zT;IT9CH0f>49(#M"Td@V,+RG(iz+E>|B*9CBf>#bo#

tKH0f>Dj8E"T)zN<#

m 107. neuralnet ZctT.

neuralnet ZctT 5 tThv

targets [field1 ... fieldN] “q-xg”Zch*;vr`v?jVNT0

;vr`vdkVN#+vT5JM(XV

N#PX|`E",kNDZ 117 3D:+

2(#ZctT;wb#

method Quick

Dynamic

Multiple

Prune

ExhaustivePrune

RBFN

prevent_overtrain <{5

train_pct }V

set_random_seed <{5

random_seed }V

mode Simple

Expert

stop_on Default

Accuracy

Cycles

1d

#9==#

accuracy }V #9<7T#

cycles }V 57\Z}#

time }V 571d(VS})#

continue <{5

show_feedback <{5

binary_encode <{5

use_last_model <{5

gen_logfile <{5

logfile_name V{.

alpha }V

initial_eta }V

high_eta }V

low_eta }V

eta_decay_cycles }V

hid_layers One

Two

Three

hl_units_one }V
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m 107. neuralnet ZctT (x).

neuralnet ZctT 5 tThv

hl_units_two }V

hl_units_three }V

persistence }V

m_topologies V{.

m_non_pyramids <{5

m_persistence }V

p_hid_layers One

Two

Three

p_hl_units_one }V

p_hl_units_two }V

p_hl_units_three }V

p_persistence }V

p_hid_rate }V

p_hid_pers }V

p_inp_rate }V

p_inp_pers }V

p_overall_pers }V

r_persistence }V

r_num_clusters }V

r_eta_auto <{5

r_alpha }V

r_eta }V

optimize Speed

Memory

CZ8(#M9(GkTYH9GZfxP

E/#

calculate_variable_importance <{5 ":KtT!zKH0f>P9CD

sensitivity_analysis tT#T;'VIt

T,+(i9C

calculate_variable_importance#

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

neuralnetwork ZctT

q-xgZc9CD#MGTK`sT&mE"D==r/KD#M#K#M(}#bs?`F

Zq-*DisN=D%,r%&m%*xKP#q-xgG&\?sD;c/}@Fw,;h

*nYD3Fr}'*6MITTdxP57r&C#
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m 108. neuralnetwork ZctT.

neuralnetwork ZctT 5 tThv

targets [field1 ... fieldN] 8(?jVN#

inputs [field1 ... fieldN] #M9CD$bd?VN#

splits [field1 ... fieldN 8(;vr`vCZVn(#DVN#

use_partition <{5 g{(eKVxVN,G4K!nI7#v

57VxD}]CZ9(#M#

continue <{5 Lx57VP#M#

objective Standard

Bagging

Boosting

psm

psm CZG#sD}]/,,1h* Server ,

S#

method MultilayerPerceptron

RadialBasisFunction

use_custom_layers <{5

first_layer_units }V

second_layer_units }V

use_max_time <{5

max_time }V

use_max_cycles <{5

max_cycles }V

use_min_accuracy <{5

min_accuracy }V

combining_rule_categorical Voting

HighestProbability

HighestMeanProbability

combining_rule_continuous Mean

Median

component_models_n }V

overfit_prevention_pct }V

use_random_seed <{5

random_seed }V

missing_values listwiseDeletion

missingValueImputation

use_custom_model_name <{5

custom_model_name V{.

confidence onProbability

onIncrease

score_category_probabilities <{5

max_categories }V

score_propensity <{5

use_custom_name <{5
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m 108. neuralnetwork ZctT (x).

neuralnetwork ZctT 5 tThv

custom_name V{.

tooltip V{.

keywords V{.

annotation V{.

quest ZctT

QUEST ZcIa)CZ9(v_wD~*V`(,K=(DhF?DGuYsM C&R wVvy

hD&m1d,,12uYZV`w=(P"VDwFTc'VJmP`vVnDdk#dkV

NITG}V6'(,x),+?jVNXkGV`#yPVn<G~*D#

m 109. quest ZctT.

quest ZctT 5 tThv

target VN QUEST #Mh*;v?jVNT0;vr`

vdkVN#mb,9IT8(5JVN#

PX|`E",kNDZ 117 3D:+2(

#ZctT;wb#

continue_training_existing_model <{5

objective Standard

Boosting

Bagging

psm

psm CZG#sD}]/,,1h* Server ,

S#

model_output_type Single

InteractiveBuilder

use_tree_directives <{5

tree_directives V{.

use_max_depth Default

Custom

max_depth {} nswnHS 0 = 1 0 0 0#;Z

use_max_depth = Custom 19C#

prune_tree <{5 ^tw,T\b}HbO#

use_std_err <{5 9CnsgUn5(j<sn)#

std_err_multiplier }V nsn5#

max_surrogates }V nszCn#

use_percentage <{5

min_parent_records_pc }V

min_child_records_pc }V

min_parent_records_abs }V

min_child_records_abs }V

use_costs <{5

costs a9/ a9/tT#
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m 109. quest ZctT (x).

quest ZctT 5 tThv

priors Data

Equal

Custom

custom_priors a9/ a9/tT#

adjust_priors <{5

trails }V CZFxri0Di~#M}#

set_ensemble_method Voting

HighestProbability

HighestMeanProbability

V`?jD1!iOfr#

range_ensemble_method Mean

Median

,x?jD1!iOfr#

large_boost <{5 TG#sMD}]/&CFx#

split_alpha }V CZ4PVnDTxT.=#

train_pct }V @9}HbO/O#

set_random_seed <{5 4Fa{!n#

seed }V

calculate_variable_importance <{5

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

regression ZctT

_TXiG;V(}bO1_r=fT5Vc\}]M$bDU(3F=(,|I9$b5M5

Jdv5.dDnln!/#

":Z44D"PfP,“Xi”Zc+f;*“_T”Zc#RG(izSVZ*<9C_T#MxP_TX

i#

m 110. regression ZctT.

regression ZctT 5 tThv

target VN “Xi”#Mh*%v?jVNT0;vr`v

dkVN#mb,9IT8((XVN#P

X|`E",kNDZ 117 3D:+2(#

ZctT;wb#

method Enter

Stepwise

Backwards

Forwards

include_constant <{5
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m 110. regression ZctT (x).

regression ZctT 5 tThv

use_weight <{5

weight_field VN

mode Simple

Expert

complete_records <{5

tolerance 1.0E-1

1.0E-2

1.0E-3

1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

1.0E-9

1.0E-10

1.0E-11

1.0E-12

k9C+}E+Td?(p4#

stepping_method useP

useF

useP:9C F DEJ

useF:9C F 5

probability_entry }V

probability_removal }V

F_value_entry }V

F_value_removal }V

selection_criteria <{5

confidence_interval <{5

covariance_matrix <{5

collinearity_diagnostics <{5

regression_coefficients <{5

exclude_fields <{5

durbin_watson <{5

model_fit <{5

r_squared_change <{5

p_correlations <{5

descriptives <{5

calculate_variable_importance <{5

sequence ZctT

rPZcI"V,x}]rk1dPXD}]PDX*fr#rPG;5PI\aTI$b3r

"zDn?/O#}g,;v:rKj6Mks.DKMI\ZBN:o1:rjk`#rPZ

cyZ CARMA X*frc(,Cc(9C;vP'D=N+]=(iRrP#
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m 111. sequence ZctT.

sequence ZctT 5 tThv

id_field VN *4(rPfr/,zh*8(;v ID VN

T0;vI!D1dVN,T0;vr`v

Z]VN#;9C(XVNM5JVN#P

X|`E",kNDZ 117 3D:+2(#

ZctT;wb#

time_field VN

use_time_field <{5

content_fields [field1 ... fieldn]

contiguous <{5

min_supp }V

min_conf }V

max_size }V

max_predictions }V

mode Simple

Expert

use_max_duration <{5

max_duration }V

use_gaps <{5

min_item_gap }V

max_item_gap }V

use_pruning <{5

pruning_value }V

set_mem_sequences <{5

mem_sequences {}

slrm ZctT

T'l&#M(SLRM)ZcICZ9(;v|,%vB[b5rY?B[b5D#M,(}K

#M,^h9C+?}]T#MxPXB574IT#MxPXB@@#

m 112. slrm ZctT.

slrm ZctT 5 tThv

target VN ?jVNXkG{eVNrj>VN#m

b,9IT8(5JVN#PX|`E",

kNDZ 117 3D:+2(#ZctT;w

b#

target_response VN `MXkGj>#

continue_training_existing_model <{5

target_field_values <{5 Use all:9C4T4D+?5#

Specify:!qyhD5#
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m 112. slrm ZctT (x).

slrm ZctT 5 tThv

target_field_values_specify [field1 ... fieldN]

include_model_assessment <{5

model_assessment_random_seed }V XkG5}#

model_assessment_sample_size }V XkG5}#

model_assessment_iterations }V |z}#

display_model_evaluation <{5

max_predictions }V

randomization }V

scoring_random_seed }V

sort Ascending

Descending

8(GHT>CVn_9GnMD([#

model_reliability <{5

calculate_variable_importance <{5

statisticsmodel ZctT

“Statistics #M”Zc9z\;(}KP+azI PMML D IBM SPSS Statistics }L4VvM&

m}]#KZch* IBM SPSS Statistics DmI1>#

PXKZctTDE",kNDZ 2163D:statisticsmodel ZctT;#

svm ZctT

9C'Vr?z (SVM) Zc,IT+}]V*=i,x^h}HbO#SVM ITkm}]/dO

9C,}gG),Ps?dkVND}]/#

m 113. svm ZctT.

svm ZctT 5 tThv

all_probabilities <{5

stopping_criteria 1.0E-1

1.0E-2

1.0E-3 (default)

1.0E-4

1.0E-5

1.0E-6

7(N1#9E/c(#

regularization }V 2F* C N}#

precision }V v1?jVNDb?6p* Continu-

ous1E9C#
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m 113. svm ZctT (x).

svm ZctT 5 tThv

kernel RBF(1!)

Polynomial

Sigmoid

Linear

CZ*;DZK/}D`M#

rbf_gamma }V vZ kernel * RBF 19C#

gamma }V vZ kernel * Polynomial r Sig-

moid 19C#

bias }V

degree }V vZ kernel * Polynomial 19C#

calculate_variable_importance <{5

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

adjusted_propensity_partition Test

Validation

timeseries ZctT

“1drP”Zc@F1drP}]D8}=,#M"%d?TXi{OF/=y5 (ARIMA) #M

M`d? ARIMA(4*;/})#M,"zI44T\D$b}]#Z“1drP”Zc.0Xk

P“1dxd”Zc#

m 114. timeseries ZctT.

timeseries ZctT 5 tThv

targets VN “1drP”ZcIT$b;v

r`v?j,IT!q9C;

vr`vdkVNw*$bd

?#;9C5JVNM(XV

N#PX|`E",kNDZ

117 3D:+2(#Zct

T;wb#

continue <{5

method ExpertModeler

Exsmooth

Arima

Reuse

expert_modeler_method <{5

consider_seasonal <{5

detect_outliers <{5

expert_outlier_additive <{5

expert_outlier_level_shift <{5

expert_outlier_innovational <{5

expert_outlier_level_shift <{5
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m 114. timeseries ZctT (x).

timeseries ZctT 5 tThv

expert_outlier_transient <{5

expert_outlier_seasonal_additive <{5

expert_outlier_local_trend <{5

expert_outlier_additive_patch <{5

exsmooth_model_type Simple

HoltsLinearTrend

BrownsLinearTrend

DampedTrend

SimpleSeasonal

WintersAdditive

WintersMultiplicative

exsmooth_transformation_type None

SquareRoot

NaturalLog

arima_p {}

arima_d {}

arima_q {}

arima_sp {}

arima_sd {}

arima_sq {}

arima_transformation_type None

SquareRoot

NaturalLog

arima_include_constant <{5

tf_arima_p. fieldname {} CZ*;/}#

tf_arima_d. fieldname {} CZ*;/}#

tf_arima_q. fieldname {} CZ*;/}#

tf_arima_sp. fieldname {} CZ*;/}#

tf_arima_sd. fieldname {} CZ*;/}#

tf_arima_sq. fieldname {} CZ*;/}#

tf_arima_delay. fieldname {} CZ*;/}#

tf_arima_transformation_type. fieldname None

SquareRoot

NaturalLog

CZ*;/}#

arima_detect_outlier_mode None

Automatic

arima_outlier_additive <{5

arima_outlier_level_shift <{5

arima_outlier_innovational <{5

arima_outlier_transient <{5

arima_outlier_seasonal_additive <{5

arima_outlier_local_trend <{5
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m 114. timeseries ZctT (x).

timeseries ZctT 5 tThv

arima_outlier_additive_patch <{5

conf_limit_pct 5}

max_lags {}

events fields

scoring_model_only <{5 CZ|,s?(}r)1dr

PD#M#

twostep ZctT

“~W”Zc9C==[`=(#Z;=jIr%}]&m,Tc+-<dk}]9u*I\mD

S[`/O#Z~=9Cc6[`=(+S[`;=;=O"*|sD[`#“~W”_P;vE

c,MG\;*57}]T/@FnQ[`}#|IT_'&mlODVN`MMsMD}]

/#

m 115. twostep ZctT.

twostep ZctT 5 tThv

inputs [field1 ... fieldN] “~W”#M9CdkVNPm,+;9C?j

VN#;6p(XVNM5JVN#PX|

`E",kNDZ 117 3D:+2(#Zc

tT;wb#

standardize <{5

exclude_outliers <{5

percentage }V

cluster_num_auto <{5

min_num_clusters }V

max_num_clusters }V

num_clusters }V

cluster_label V{.

}V

label_prefix V{.

distance_measure Euclidean

Loglikelihood

clustering_criterion AIC

BIC
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Z 14 B #MiZctT

#MiZc_Pkd{Zc`,D+2tT#PX|`E",kNDZ 503D:+2ZctT;wb#

applyanomalydetection ZctT
zIT9C“l#lb”(#Zc4zI“l#lb”#Mi#K#MiDE>`F{F* applyanomalydetection#

PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1173D:anomalydetection ZctT;#

m 116. applyanomalydetection ZctT.

applyanomalydetection ZctT 5 tThv

anomaly_score_method FlagAndScore

FlagOnly

ScoreOnly

7(4(D)dvCZ@V#

num_fields {} *(fDVN#

discard_records <{5 8>GqSdvP*zG<#

discard_anomalous_records <{5 8>G*zl#G<9G*z Gl#G<#1!4

,* off,m>*zGl#G<#qr,g{4,*

on,G4*zl#G<#v1tC discard_records

tT1,EatCKtT#

applyapriori ZctT
zIT9C Apriori (#Zc4zI Apriori #Mi#K#MiDE>`F{F* applyapriori#PXTK(#

ZcTmxPE>`FD|`E",kNDwb Z 1183D:apriori ZctT;#

m 117. applyapriori ZctT.

applyapriori ZctT 5 tThv

max_predictions }V({})

ignore_unmatached <{5

allow_repeats <{5

check_basket NoPredictions

Predictions

NoCheck

criterion Confidence

Support

RuleSupport

Lift

Deployability
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applyautoclassifier ZctT
zIT9C“T/V`w”(#Zc4zI“T/V`w”#Mi#K#MiDE>`F{F* applyautoclassifier#

PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1193D:autoclassifier ZctT;#

m 118. applyautoclassifier ZctT.

applyautoclassifier ZctT 5 tThv

flag_ensemble_method Voting

ConfidenceWeightedVoting

RawPropensityWeightedVoting

HighestConfidence

AverageRawPropensity

8(CZ7({eCVD=(#v1!

(D?jGj>VN1,Ea&CKh

C#

flag_voting_tie_selection Random

HighestConfidence

RawPropensity

g{Q!(61=(,G48(bva

D=(#v1!(D?jGj>VN

1,Ea&CKhC#

set_ensemble_method Voting

ConfidenceWeightedVoting

HighestConfidence

8(CZ7({eCVD=(#v1!

(D?jG/OVN1,Ea&CKh

C#

set_voting_tie_selection Random

HighestConfidence

g{Q!(61=(,G48(bva

D=(#v1!(D?jG{eVN

1,Ea&CKhC#

applyautocluster ZctT
zIT9C“T/[`”(#Zc4zI“T/[`”#Mi#K#MiDE>`F{F* applyautocluster#K#

Mi;_PNNd{tT#PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 121 3D

:autocluster ZctT;#

applyautonumeric ZctT
zIT9C“T/}V”(#Zc4zI“T/}V”#Mi#K#MiDE>`F{F* applyautonumeric#PX

TK(#ZcTmxPE>`FD|`E",kNDwb Z 1223D:autonumeric ZctT;#

m 119. applyautonumeric ZctT.

applyautonumeric ZctT 5 tThv

calculate_standard_error <{5

applybayesnet ZctT
zIT9C“469xg”(#Zc4zI“469xg”#Mi#K#MiDE>`F{F* applybayesnet#P

XTK(#ZcTmxPE>`FD|`E",kNDwb Z 1233D:bayesnet ZctT;#

m 120. applybayesnet ZctT.

applybayesnet ZctT 5 tThv

all_probabilities <{5

raw_propensity <{5

adjusted_propensity <{5
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m 120. applybayesnet ZctT (x).

applybayesnet ZctT 5 tThv

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

applyc50 ZctT
zIT9C C5.0 (#Zc4zI C5.0 #Mi#K#MiDE>`F{F* applyc50#PXTK(#ZcT

mxPE>`FD|`E",kNDwb Z 1253D:c50 ZctT;#

m 121. applyc50 ZctT.

applyc50 ZctT 5 tThv

sql_generate Never

NoMissingValues

CZhCfr/4PZd9CD SQL zI!

n#

calculate_conf <{5 tC SQL zI1IC;KtT+CEHDF

c|(ZzIDwP#

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

applycarma ZctT
zIT9C CARMA (#Zc4zI CARMA #Mi#K#MiDE>`F{F* applycarma#K#Mi;

_PNNd{tT#PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1263D:carma Zct

T;#

applycart ZctT
zIT9C“C&R w”(#Zc4zI“C&R w”#Mi#K#MiDE>`F{F* applycart#PXTK(#

Zc>mxPE>`FD|`E",kNDwbZ 1263D:cart ZctT;#

m 122. applycart ZctT.

applycart ZctT 5 tThv

sql_generate Never

MissingValues

NoMissingValues

CZhCfr/4PZd9CD SQL zI!

n#

calculate_conf <{5 tC SQL zI1IC;KtT+CEHDF

c|(ZzIDwP#

display_rule_id <{5 ZCVdvPmS;vVN,m>?vG<

Vd=DUKZcD ID#

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5
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applychaid ZctT
zIT9C CHAID (#Zc4zI CHAID #Mi#K#MiDE>`F{F* applychaid#PXTK(#

ZcTmxPE>`FD|`E",kNDwb Z 1283D:chaid ZctT;#

m 123. applychaid ZctT.

applychaid ZctT 5 tThv

sql_generate Never

MissingValues

calculate_conf <{5

display_rule_id <{5 ZCVdvPmS;vVN,m>?vG<

Vd=DUKZcD ID#

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

applycoxreg ZctT
zIT9C Cox (#Zc4zI Cox #Mi#K#MiDE>`F{F* applycoxreg#PXTK(#Zc

TmxPE>`FD|`E",kNDwb Z 1293D:coxreg ZctT;#

m 124. applycoxreg ZctT.

applycoxreg ZctT 5 tThv

future_time_as Intervals

Fields

time_interval }V

num_future_times {}

time_field VN

past_survival_time VN

all_probabilities <{5

cumulative_hazard <{5

applydecisionlist ZctT
zIT9C“v_Pm”(#Zc4zI“v_Pm”#Mi#K#MiDE>`F{F* applydecisionlist#PX

TK(#ZcTmxPE>`FD|`E",kNDwb Z 1313D:decisionlist ZctT;#

m 125. applydecisionlist ZctT.

applydecisionlist ZctT 5 tThv

enable_sql_generation <{5 5* true 1,IBM SPSS Modeler a"T+v

_Pm#MXF= SQL#

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5
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applydiscriminant ZctT
zIT9C“Pp”(#Zc4zI“Pp”#Mi#K#MiDE>`F{F* applydiscriminant#PXTK(#

Zc>mxPE>`FD|`E",kNDwbZ 1323D:discriminant ZctT;#

m 126. applydiscriminant ZctT.

applydiscriminant ZctT 5 tThv

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

applyfactor ZctT
zIT9C“PCA/rS”(#Zc4zI“PCA/rS”#Mi#K#MiDE>`F{F* applyfactor#K#Mi

;_PNNd{tT#PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1333D:factor Zc

tT;#

applyfeatureselection ZctT
zIT9C“Xw!q”(#Zc4zI“Xw!q”#Mi#K#MiDE>`F{F* applyfeatureselection#P

XTK(#ZcTmxPE>`FD|`E",kNDwb Z 1343D:featureselection ZctT;#

m 127. applyfeatureselection ZctT.

applyfeatureselection ZctT 5 tThv

selected_ranked_fields 8(*Z#M/@wPliD)QEHDV

N#

selected_screened_fields 8(*Z#M/@wPliD)Q8!DV

N#

applygeneralizedlinear ZctT
zIT9C “ce_T ( g e n l i n ) ”(#Zc4zI “ce_T ”#Mi#K#MiDE>`F{F*

applygeneralizedlinear#PXTK(#Zc>mxPE>`FD|`E",kNDwbZ 1363D:genlin Zc

tT;#

m 128. applygeneralizedlinear ZctT.

applygeneralizedlinear ZctT 5 tThv

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5
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applyglmm ZctT

zIT9C GLMM (#Zc4zI GLMM #Mi#K#MiDE>`F{F* applyglmm#PXTK(#

ZcTmxPE>`FD|`E",kNDwb Z 1393D:glmm ZctT;#

m 129. applyglmm ZctT.

applyglmm ZctT 5 tThv

confidence onProbability

onIncrease

Fc@VCEH5Dy!:n_$bEJr

_n_kN_$bEJ.n#

score_category_probabilities <{5 g{hC* true,G4*V`?jzI$bE

J#*?v`p4(;vVN#1!5*

False#

max_categories {} *$bEJDns`p}?#v1

score_category_probabilities * True 1E

9C#

score_propensity <{5 g{hC* True,G4*_Pj>?jD#M

zI-<crCV(“True”a{DI\T)#

g{Vx&ZP',G4#M9ay]bT

Vxzzw{sDcrCV#1!5*

False#

applykmeans ZctT
zIT9C K-Means (#Zc4zI K-Means #Mi#K#MiDE>`F{F* applykmeans#K#Mi

;_PNNd{tT#PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1423D:kmeans Z

ctT;#

applyknn ZctT
zIT9C KNN (#Zc4zI KNN #Mi#K#MiDE>`F{F* applyknn#PXTK(#Zc>

mxPE>`FD|`E",kNDwbZ 1433D:knn ZctT;#

m 130. applyknn ZctT.

applyknn ZctT 5 tThv

all_probabilities <{5

save_distances <{5

applykohonen ZctT
zIT9C Kohonen (#Zc4zI Kohonen #Mi#K#MiDE>`F{F* applykohonen#K#Mi

;_PNNd{tT#PXTK(#Zc>mxPE>`FD|`E",kNDwbZ 1443D:kohonen Zc

tT;#
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applylinear ZctT
zIT9C“_T”(#Zc4zI“_T”#Mi#K#MiDE>`F{F* applylinear#PXTK(#ZcT

mxPE>`FD|`E",kNDwb Z 1453D:linear ZctT;#

m 131. applylinear ZctT.

applylinear ZctT 5 tThv

use_custom_name <{5

custom_name V{.

enable_sql_generation <{5

applylogreg ZctT
zIT9C“Logistic Xi#M”(#Zc4zI“Logistic Xi#M”#Mi#K#MiDE>`F{F*

applylogreg#PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1463D:logreg ZctT;#

m 132. applylogreg ZctT.

applylogreg ZctT 5 tThv

calculate_raw_propensities <{5

calculate_conf <{5

enable_sql_generation <{5

applyneuralnet ZctT
zIT9C“q-xg”(#Zc4zI“q-xg”#Mi#K#MiDE>`F{F* applyneuralnet#PXT

K(#ZcTmxPE>`FD|`E",kNDwb Z 1493D:neuralnet ZctT;#

"b:ZK"PfPa)K_Pv?&\DBf>Dq-xg#Mi,"+ZB;Z (applyneuralnetwork) Px

Pi\#!\H0f>T;IC,+RG(iz|BE>T9CBDf>#K&#tKH0f>Dj8E"T

)N<,+aZ+4D"PfP;Y'V#

m 133. applyneuralnet ZctT.

applyneuralnet ZctT 5 tThv

calculate_conf <{5 tC SQL zI1IC;KtT+CEHDFc|

(ZzIDwP#

enable_sql_generation <{5

nn_score_method Difference

SoftMax

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

Z 14 B #MiZctT 167



applyneuralnetwork ZctT
zIT9C“q-xg”(#Zc4zI“q-xg”#Mi#K#MiDE>`F{F* applyneuralnetwork#P

XTK(#ZcTmxPE>`FD|`E",kNDwb Z 1503D:neuralnetwork ZctT;#

m 134. applyneuralnetwork ZctT.

applyneuralnetwork ZctT 5 tThv

use_custom_name <{5

custom_name V{.

confidence onProbability

onIncrease

score_category_probabilities <{5

max_categories }V

score_propensity <{5

applyquest ZctT
zIT9C QUEST (#Zc4zI QUEST #Mi#K#MiDE>`F{F* applyquest#PXTK(#

ZcTmxPE>`FD|`E",kNDwb Z 1523D:quest ZctT;#

m 135. applyquest ZctT.

applyquest ZctT 5 tThv

sql_generate Never

MissingValues

NoMissingValues

calculate_conf <{5

display_rule_id <{5 ZCVdvPmS;vVN,m>?vG<

Vd=DUKZcD ID#

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5

applyregression ZctT
zIT9C“_TXi”(#Zc4zI“_TXi”#Mi#K#MiDE>`F{F* applyregression#K#M

i;_PNNd{tT#PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1533D:regres-

sion ZctT;#

applyr ZctT
zIT9C“R 9(”Zc4zI R #Mi#K#MiDE>`F{F* applyr#PXTK(#ZcTmxP

E>`FD|`E",kNDwb Z 1243D:buildr ZctT;#

m 136. applyr ZctT

applyr ZctT 5 tThv

score_syntax V{. bGCZxP#M@VD R E>o(#
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m 136. applyr ZctT (x)

applyr ZctT 5 tThv

convert_flags StringsAndDoubles
LogicalValues

K!nCZ*;j>VN#

convert_datetime <{5 K!nCZ+_PUZrUZ1dq=

Dd?*;* R UZ/1dq=#

convert_datetime_class POSIXct

POSIXlt

b)!nCZ8(*+UZrUZ1d

q=Dd?*;*24q=#

convert_missing <{5 K!nCZ+1'5*;* R NA 5#

applyselflearning ZctT
zIT9C“T'l&#M (SLRM)”(#Zc4zI SLRM #Mi#K#MiDE>`F{F*

applyselflearning#PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1553D:slrm ZctT;#

m 137. applyselflearning ZctT.

applyselflearning ZctT 5 tThv

max_predictions }V

randomization }V

scoring_random_seed }V

sort ascending

descending

8(GHT>CVn_9GnMD([#

model_reliability <{5 +“hC”!n(PD#MI?T!n<GZZ#

applysequence ZctT
zIT9C“rP”(#Zc4zI“rP”#Mi#K#MiDE>`F{F* applysequence#K#Mi;_P

NNd{tT#PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1543D:sequence Zct

T;#

applysvm ZctT

zIT9C SVM (#Zc4zI SVM #Mi#K#MiDE>`F{F* applysvm#PXTK(#ZcT

mxPE>`FD|`E",kNDwb Z 1563D:svm ZctT;#

m 138. applysvm ZctT.

applysvm ZctT 5 tThv

all_probabilities <{5

calculate_raw_propensities <{5

calculate_adjusted_propensities <{5
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applytimeseries ZctT
zIT9C“1drP”(#Zc4zI“1drP”#Mi#K#MiDE>`F{F* applytimeseries#PXT

K(#ZcTmxPE>`FD|`E",kNDwb Z 1573D:timeseries ZctT;#

m 139. applytimeseries ZctT.

applytimeseries ZctT 5 tThv

calculate_conf <{5

calculate_residuals <{5

applytwostep ZctT
zIT9C“~W”(#Zc4zI“~W”#Mi#K#MiDE>`F{F* applytwostep#K#Mi;_PN

Nd{tT#PXTK(#ZcTmxPE>`FD|`E",kNDwb Z 1593D:twostep ZctT;#
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Z 15 B }]b(#ZctT

IBM SPSS Modeler 'Vk`R}]b)&LD}]ZrM(#$_/I,b|( Microsoft SQL Server Analy-

sis Services"Oracle Data Mining"IBM DB2 InfoSphere Warehouse M IBM Netezza Analytics##zIT

9C IBM SPSS Modeler &CLrTPD}]bc(49(#M"T#MxP@V#9IT9C>Zi\Dt

T(}`4E>49(MY]}]b#M#

Microsoft (#DZctT

Microsoft (#ZctT
+2tT

Microsoft }]b(#ZcD+2tTgBy>#

m 140. +2 Microsoft ZctT.

+2 Microsoft ZctT 5 tThv

analysis_database_name V{. Analysis Services }]bD{F#

analysis_server_name V{. Analysis Services wzD{F#

use_transactional_data <{5 8(dk}]GICmq=9GBqq=#

inputs [field field field] m}]DdkVN#

target VN $bVN(;JCZ“MS [`”r“rP[`”Zc)#

unique_field VN |VN#

msas_parameters a9/ c(N}#PX|`E",kNDZ 172 3D:c(N

};wb#

with_drillthrough <{5 “xPnkj!”!n#

MS v_w

4T`M* mstree DZc(e_etT#kND>Z*7D+2 Microsoft tT#

MS [`

4T`M* mscluster DZc(e_etT#kND>Z*7D+2 Microsoft tT#

MS X*fr

TB_etTICZ`M* msassoc DZc:

m 141. msassoc ZctT.

msassoc ZctT 5 tThv

id_field VN j6}]PD?nBq#

trans_inputs [field field field] Bq}]DdkVN#

transactional_target VN $bVN(Bq}])#
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MS SX469

4T`M* msbayes DZc(e_etT#kND>Z*7D+2 Microsoft tT#

MS _TXi

4T`M* msregression DZc(e_etT#kND>Z*7D+2 Microsoft tT#

MS q-xg

4T`M* msneuralnetwork DZc(e_etT#kND>Z*7D+2 Microsoft tT#

MS Logistic Xi

4T`M* mslogistic DZc(e_etT#kND>Z*7D+2 Microsoft tT#

MS 1drP

4T`M* mstimeseries DZc(e_etT#kND>Z*7D+2 Microsoft tT#

MS rP[`

TB_etTICZ`M* mssequencecluster DZc:

m 142. mssequencecluster ZctT.

mssequencecluster ZctT 5 tThv

id_field VN j6}]PD?nBq#

input_fields [field field field] Bq}]DdkVN#

sequence_field VN rPj6#

target_field VN $bVN(m}])#

c(N}

?V Microsoft }]b#M`M<PIT9C msas_parameters tThCDX(N}#

b)N}4T SQL Server#*i4?vZcD`XN},k4PgBYw:

1. +}]b4ZcEk-<P#

2. r*C}]b4Zc#

3. S}]4B-PmP!q;vP'4#

4. Sm{FPmP!q;vP'm#

5. %w7(TXUC}]b4Zc#

6. =S*PvdtTD Microsoft }]b(#Zc#

7. r*C}]b(#Zc#

8. !q(R!n(#

K1aT>CZcDIC msas_parameters tT#
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Microsoft #MitT
9C Microsoft }]b(#Zc4(D#Mi_PBPtT#

MS v_w

m 143. MS v_wtT.

applymstree ZctT 5 hv

analysis_database_name V{. IT1SZwPTKZcxP@V#

KtTCZj6 Analysis Services }]bD{F#

analysis_server_name V{. Analysis ~qwwzD{F#

datasource V{. SQL Server ODBC }]4{F (DSN) D{F#

sql_generate <{5 tC SQL zI#

MS _TXi

m 144. MS _TXitT.

applymsregression ZctT 5 hv

analysis_database_name V{. IT1SZwPTKZcxP@V#

KtTCZj6 Analysis Services }]bD{F#

analysis_server_name V{. Analysis ~qwwzD{F#

MS q-xg

m 145. MS q-xgtT.

applymsneuralnetwork ZctT 5 hv

analysis_database_name V{. IT1SZwPTKZcxP@V#

KtTCZj6 Analysis Services }]bD{F#

analysis_server_name V{. Analysis ~qwwzD{F#

MS Logistic Xi

m 146. MS Logistic XitT.

applymslogistic ZctT 5 hv

analysis_database_name V{. IT1SZwPTKZcxP@V#

KtTCZj6 Analysis Services }]bD{F#

analysis_server_name V{. Analysis ~qwwzD{F#

MS 1drP

m 147. MS 1drPtT.

applymstimeseries ZctT 5 hv

analysis_database_name V{. IT1SZwPTKZcxP@V#

KtTCZj6 Analysis Services }]

bD{F#

analysis_server_name V{. Analysis ~qwwzD{F#
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m 147. MS 1drPtT (x).

applymstimeseries ZctT 5 hv

start_from new_prediction

historical_prediction

8(GxP44$b9Gz7$b#

new_step }V (e44$bD*<1dN#

historical_step }V (ez7$bD*<1dN#

end_step }V (e$bax1dN#

MS rP[`

m 148. MS rP[`tT.

applymssequencecluster ZctT 5 hv

analysis_database_name V{. IT1SZwPTKZcxP@V#

KtTCZj6 Analysis Services }]bD{F#

analysis_server_name V{. Analysis ~qwwzD{F#

Oracle (#DZctT

Oracle (#ZctT
Oracle }]b(#ZcD+2tTgBy>#

m 149. +2 Oracle ZctT.

+2 Oracle ZctT 5 tThv

target VN

inputs VNDPm

partition VN KVNCZ+}]Vx*;,Dy>,TCZ#M9(

D57"liMi$WN#

datasource

username

password

epassword

use_model_name <{5

model_name V{. B#MD(F{F#

use_partitioned_data <{5 g{(eKVxVN,G4K!nI7#v57VxD

}]CZ9(#M#

unique_field VN

auto_data_prep <{5 tCr{C Oracle T/}]<8&\(vJCZ 11g }

]b)#

costs a9/ a9/tT#

mode Simple

Expert

gZwvZctTP"MDGy,g{hC* Simple,

a<BvT3)tT#

use_prediction_probability <{5

prediction_probability V{.
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m 149. +2 Oracle ZctT (x).

+2 Oracle ZctT 5 tThv

use_prediction_set <{5

Oracle SX469

TBtTICZ`M* oranb DZc#

m 150. oranb ZctT.

oranb ZctT 5 tThv

singleton_threshold }V 0.0-1.0.*

pairwise_threshold }V 0.0-1.0.*

priors Data

Equal

Custom

custom_priors a9/ a9/tT#

* g{ mode hC* Simple,G4vTtT#

Oracle Adaptive Bayes

TBtTICZ`M* oraabn DZc#

m 151. oraabn ZctT.

oraabn ZctT 5 tThv

model_type SingleFeature

MultiFeature

NaiveBayes

use_execution_time_limit <{5 *

execution_time_limit {} 5XksZ 0#*

max_naive_bayes_predictors {} 5XksZ 0#*

max_predictors {} 5XksZ 0#*

priors Data

Equal

Custom

custom_priors a9/ a9/tT#

* g{ mode hC* Simple,G4vTtT#

Oracle 'Vr?z

TBtTICZ`M* orasvm DZc#

m 152. orasvm ZctT.

orasvm ZctT 5 tThv

active_learning Enable

Disable
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m 152. orasvm ZctT (x).

orasvm ZctT 5 tThv

kernel_function Linear

Gaussian

System

normalization_method zscore

minmax

none

kernel_cache_size {} vJCZ_9ZK#5XksZ 0#*

convergence_tolerance }V 5XksZ 0#*

use_standard_deviation <{5 vJCk_9ZK#*

standard_deviation }V 5XksZ 0#*

use_epsilon <{5 vJCZXi#M#*

epsilon }V 5XksZ 0#*

use_complexity_factor <{5 *

complexity_factor }V *

use_outlier_rate <{5 vJCZ%`de#*

outlier_rate }V vJCZ%`de#0.0-1.0.*

weights Data

Equal

Custom

custom_weights a9/ a9/tT#

* g{ mode hC* Simple,G4vTtT#

Oracle ce_T#M

TBtTICZ`M* oraglm DZc#

m 153. oraglm ZctT.

oraglm ZctT 5 tThv

normalization_method zscore

minmax

none

missing_value_handling ReplaceWithMean

UseCompleteRecords

use_row_weights <{5 *

row_weights_field VN *

save_row_diagnostics <{5 *

row_diagnostics_table V{. *

coefficient_confidence }V *

use_reference_category <{5 *

reference_category V{. *
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m 153. oraglm ZctT (x).

oraglm ZctT 5 tThv

ridge_regression Auto

Off

On

*

parameter_value }V *

vif_for_ridge <{5 *

* g{ mode hC* Simple,G4vTtT#

Oracle v_w

TBtTICZ`M* oradecisiontree DZc#

m 154. oradecisiontree ZctT.

oradecisiontree ZctT 5 tThv

use_costs <{5

impurity_metric Entropy

Gini

term_max_depth {} 2-20.*

term_minpct_node }V 0.0-10.0.*

term_minpct_split }V 0.0-20.0.*

term_minrec_node {} 5XksZ 0#*

term_minrec_split {} 5XksZ 0#*

display_rule_ids <{5 *

* g{ mode hC* Simple,G4vTtT#

Oracle O-Cluster

TBtTICZ`M* oraocluster DZc#

m 155. oraocluster ZctT.

oraocluster ZctT 5 tThv

max_num_clusters {} 5XksZ 0#

max_buffer {} 5XksZ 0#*

sensitivity }V 0.0-1.0.*

* g{ mode hC* Simple,G4vTtT#

Oracle KMeans

TBtTICZ`M* orakmeans DZc#

m 156. orakmeans ZctT.

orakmeans ZctT 5 tThv

num_clusters {} 5XksZ 0#
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m 156. orakmeans ZctT (x).

orakmeans ZctT 5 tThv

normalization_method zscore

minmax

none

distance_function Euclidean

Cosine

iterations {} 0-20.*

conv_tolerance }V 0.0-0.5.*

split_criterion Variance

Size

1!5* Variance#*

num_bins {} 5XksZ 0#*

block_growth {} 1-5.*

min_pct_attr_support }V 0.0-1.0.*

* g{ mode hC* Simple,G4vTtT#

Oracle NMF

TBtTICZ`M* oranmf DZc#

m 157. oranmf ZctT.

oranmf ZctT 5 tThv

normalization_method minmax

none

use_num_features <{5 *

num_features {} 0-1#1!5Ic(y]}]@FCv#*

random_seed }V *

num_iterations {} 0-500.*

conv_tolerance }V 0.0-0.5.*

display_all_features <{5 *

* g{ mode hC* Simple,G4vTtT#

Oracle Apriori

TBtTICZ`M* oraapriori DZc#

m 158. oraapriori ZctT.

oraapriori ZctT 5 tThv

content_field VN

id_field VN

max_rule_length {} 2-20#

min_confidence }V 0.0-1.0#
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m 158. oraapriori ZctT (x).

oraapriori ZctT 5 tThv

min_support }V 0.0-1.0#

use_transactional_data <{5

Oracle n!hv$H (MDL)

4T`M* oramdl DZc(e_etT#kND>BZ*7?VD(C Oracle tT#

Oracle tTX*T (AI)

TBtTICZ`M* oraai DZc#

m 159. oraai ZctT.

oraai ZctT 5 tThv

custom_fields <{5 g{* true,G4Jmz*10Zc8(?jVN"dk

VNMd{VN#g{* false,G4+9CON“`M”

ZcD10hC#

selection_mode ImportanceLevel

ImportanceValue

TopN

select_important <{5 Z selection_mode hC* ImportanceLevel 1,8(

Gq!q“X*”VN#

important_label V{. 8(“X*”EHDj)#

select_marginal <{5 Z selection_mode hC* ImportanceLevel 1,8(

Gq!q“_J”VN#

marginal_label V{. 8(“_J”EHDj)#

important_above }V 0.0-1.0#

select_unimportant <{5 Z selection_mode hC* ImportanceLevel 1,8(

Gq!q“;X*”VN#

unimportant_label V{. 8(“;X*”EHDj)#

unimportant_below }V 0.0-1.0#

importance_value }V Z selection_mode hC* ImportanceValue 1,8(

*9CDVg5#S\S 0 = 100 D5#

top_n }V Z selection_mode hC* TopN 1,8(*9CDVg

5#S\S 0 = 1000 D5#

Oracle #MitT
9C Oracle #M4(D#Mi_PBPtT#

Oracle SX469

4T`M* applyoranb DZc(e_etT#

Oracle Adaptive Bayes

4T`M* applyoraabn DZc(e_etT#
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Oracle 'Vr?z

4T`M* applyorasvm DZc(e_etT#

Oracle v_w

TBtTICZ`M* applyoradecisiontree DZc#

m 160. applyoradecisiontree ZctT.

applyoradecisiontree ZctT 5 tThv

use_costs <{5

display_rule_ids <{5

Oracle O-Cluster

4T`M* applyoraocluster DZc(e_etT#

Oracle KMeans

4T`M* applyorakmeans DZc(e_etT#

Oracle NMF

TBtTICZ`M* applyoranmf DZc:

m 161. applyoranmf ZctT.

applyoranmf ZctT 5 tThv

display_all_features <{5

Oracle Apriori

C#Mi;\&CZE>#

Oracle MDL

C#Mi;\&CZE>#

IBM DB2 (#ZctT

IBM DB2 (#ZctT
IBM InfoSphere Warehouse (ISW) }]b(#ZcD+2tTgBy>#

m 162. +2 ISW ZctT.

+2 ISW ZctT 5 tThv

inputs VNDPm

datasource

username

password

epassword
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m 162. +2 ISW ZctT (x).

+2 ISW ZctT 5 tThv

enable_power_options <{5

power_options_max_memory {} 5XksZ 32#

power_options_cmdline V{.

mining_data_custom_sql V{.

logical_data_custom_sql V{.

mining_settings_custom_sql

ISW v_w

TBtTICZ`M* db2imtree DZc#

m 163. db2imtree ZctT.

db2imtree ZctT 5 tThv

target VN

perform_test_run <{5

use_max_tree_depth <{5

max_tree_depth {} sZ 0 D5#

use_maximum_purity <{5

maximum_purity }V iZ 0 k 100 .dD}V#

use_minimum_internal_cases <{5

minimum_internal_cases {} sZ 1 D5#

use_costs <{5

costs a9/ a9/tT#

ISW X*

TBtTICZ`M* db2imassoc DZc#

m 164. db2imassoc ZctT.

db2imassoc ZctT 5 tThv

use_transactional_data <{5

id_field VN

content_field VN

data_table_layout basic

limited_length

max_rule_size {} 5XksZ 2#

min_rule_support }V 0-100%

min_rule_confidence }V 0-100%

use_item_constraints <{5

item_constraints_type Include

Exclude

use_taxonomy <{5
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m 164. db2imassoc ZctT (x).

db2imassoc ZctT 5 tThv

taxonomy_table_name V{. bGCZf"V`(j8E"D DB2 mD{F#

taxonomy_child_column_name V{. V`(mPSPD{F#CSP|,n?{r`p{#

taxonomy_parent_column_name V{. V`(mP8PD{F#C8P|,`p{#

load_taxonomy_to_table <{5 XFGq&Z9(#M1+ IBM SPSS Modeler Pf"DV

`(E"OXAV`(m#k"b,g{V`(mQ-f

Z,G4a+d*z#V`(E"f"Z#M9(Zc

P,IT9C `-`p M `-V`( 4%xP`-#

ISW rP

TBtTICZ`M* db2imsequence DZc#

m 165. db2imsequence ZctT.

db2imsequence ZctT 5 tThv

id_field VN

group_field VN

content_field VN

max_rule_size {} 5XksZ 2#

min_rule_support }V 0-100%

min_rule_confidence }V 0-100%

use_item_constraints <{5

item_constraints_type Include

Exclude

use_taxonomy <{5

taxonomy_table_name V{. bGCZf"V`(j8E"D DB2 mD{F#

taxonomy_child_column_name V{. V`(mPSPD{F#CSP|,n?{r`p{#

taxonomy_parent_column_name V{. V`(mP8PD{F#C8P|,`p{#

load_taxonomy_to_table <{5 XFGq&Z9(#M1+ IBM SPSS Modeler Pf"DV

`(E"OXAV`(m#k"b,g{V`(mQ-f

Z,G4a+d*z#V`(E"f"Z#M9(Zc

P,IT9C `-`p M `-V`( 4%xP`-#

ISW Xi

TBtTICZ`M* db2imreg DZc#

m 166. db2imreg ZctT.

db2imreg ZctT 5 tThv

target VN

regression_method transform

linear

polynomial

rbf

kNDBm,TKbv1 regression_method hC* rbf

1EJCDtT#

perform_test_run VN
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m 166. db2imreg ZctT (x).

db2imreg ZctT 5 tThv

limit_rsquared_value <{5

max_rsquared_value }V iZ 0.0 k 1.0 .dD5#

use_execution_time_limit <{5

execution_time_limit_mins {} sZ 0 D5#

use_max_degree_polynomial <{5

max_degree_polynomial {}

use_intercept <{5

use_auto_feature_selection_method <{5

auto_feature_selection_method normal

adjusted

use_min_significance_level <{5

min_significance_level }V

use_min_significance_level <{5

BPtT;PZ regression_method hC* rbf 1EJC#

m 167. db2imreg ZctT(g{ regression_method hC* rbf).

db2imreg ZctT 5 tThv

use_output_sample_size <{5 g{* true,G4+5T/hC*1!5#

output_sample_size {} 1!5* 2#

n!5* 1#

use_input_sample_size <{5 g{* true,G4+5T/hC*1!5#

input_sample_size {} 1!5* 2#

n!5* 1#

use_max_num_centers <{5 g{* true,G4+5T/hC*1!5#

max_num_centers {} 1!5* 20#

n!5* 1#

use_min_region_size <{5 g{* true,G4+5T/hC*1!5#

min_region_size {} 1!5* 15#

n!5* 1#

use_max_data_passes <{5 g{* true,G4+5T/hC*1!5#

max_data_passes {} 1!5* 5#

n!5* 2#

use_min_data_passes <{5 g{* true,G4+5T/hC*1!5#

min_data_passes {} 1!5* 5#

n!5* 2#

ISW [`

TBtTICZ`M* db2imcluster DZc#
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m 168. db2imcluster ZctT.

db2imcluster ZctT 5 tThv

cluster_method demographic

kohonen

birch

kohonen_num_rows {}

kohonen_num_columns {}

kohonen_passes {}

use_num_passes_limit <{5

use_num_clusters_limit <{5

max_num_clusters {} sZ 1 D5#

birch_dist_measure log_likelihood

euclidean

1!5* log_likelihood#

birch_num_cfleaves {} 1!5* 1000#

birch_num_refine_passes {} 1!5* 3;n!5* 1#

use_execution_time_limit <{5

execution_time_limit_mins {} sZ 0 D5#

min_data_percentage }V 0-100%

use_similarity_threshold <{5

similarity_threshold }V iZ 0.0 k 1.0 .dD5#

ISW SX469

TBtTICZ`M* db2imnbs DZc#

m 169. db2imnb ZctT.

db2imnb ZctT 5 tThv

perform_test_run <{5

probability_threshold }V 1!5* 0.001#

n!5* 0;ns5* 1.000

use_costs <{5

costs a9/ a9/tT#

ISW Logistic Xi

TBtTICZ`M* db2imlog DZc#

m 170. db2imlog ZctT.

db2imlog ZctT 5 tThv

perform_test_run <{5

use_costs <{5

costs a9/ a9/tT#

ISW 1drP
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"b:dkVNN};CZKZc#g{ZE>PR=dkVNN},G4T>;v/f,5wCZcP1d

M?jw*xkVN,+;PdkVN#

TBtTICZ`M* db2imtimeseries DZc#

m 171. db2imtimeseries ZctT.

db2imtimeseries ZctT 5 tThv

time VN Jm9C{}"1drUZ#

targets VNDPm

forecasting_algorithm arima

exponential_smoothing

seasonal_trend_decomposition

forecasting_end_time auto

{}

UZ

time

use_records_all <{5 g{Y,XkhC use_records_start

M use_records_end#

use_records_start {}/1d/UZ !vZ1dVND`M

use_records_end {}/1d/UZ !vZ1dVND`M

interpolation_method none

linear

exponential_splines

cubic_splines

IBM DB2 #MitT
9C IBM DB2 ISW #M4(D#Mi_PBPtT#

ISW v_w

4T`M* applydb2imtree DZc(e_etT#

ISW X*

C#Mi;\&CZE>#

ISW rP

C#Mi;\&CZE>#

ISW Xi

4T`M* applydb2imreg DZc(e_etT#

ISW [`

4T`M* applydb2imcluster DZc(e_etT#

ISW SX469
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4T`M* applydb2imnb DZc(e_etT#

ISW Logistic Xi

4T`M* applydb2imlog DZc(e_etT#

ISW 1drP

C#Mi;\&CZE>#

IBM Netezza Analytics (#ZctT

Netezza (#ZctT
IBM Netezza }]b(#ZcD+2tTgBy>#

m 172. +2 Netezza ZctT.

+2 Netezza ZctT 5 tThv

custom_fields <{5 g{* true,G4Jmz*10Zc8(?jVN"dkV

NMd{VN#g{* false,G4+9CON“`M”ZcD

10hC#

inputs [field1 ... fieldN] #My9CDdkVNr$bd?VN#

target VN ?jVN(,xrV`)#

record_id VN *Cw(;G<j6DVN#

use_upstream_connection <{5 g{* true(1!),G4,Sj8E"ZONZcP8

(#Z8(K move_data_to_connection 1;9C#

move_data_connection <{5 g{* true,G4+}]F/=I connection 8(D}]

b#Z8(K use_upstream_connection 1;9C#

connection a9/ bGCZf"#MD Netezza }]bD,SV{.#q=g

BDa9/tT:

[’odbc’ ’<dsn>’ ’<username>’ ’<psw>’ ’<catname>’

’<conn_attribs>’ {true|false}]

dP:

<dsn> G}]4{F

<username> M <psw> G}]bDC'{M\k

<catname> G?<{F

<conn_attribs> G,StT

true | false 8>Gqh*\k#

table_name V{. bGCZf"#MD}]bmD{F#

use_model_name <{5 g{* true,9CI model_name 8(D{Fw*#M{

F,qrIC534(D#M{F#

model_name V{. B#MD(F{F#

include_input_fields <{5 g{* true,rBN+]yPdkVN,qrv+]#Mz

zD record_id MVN#

Netezza v_w

TBtTICZ`M* netezzadectree DZc#
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m 173. netezzadectree ZctT.

netezzadectree ZctT 5 tThv

impurity_measure Entropy

Gini

SJb?,CZ@@VnwDnQ;

C#

max_tree_depth {} wITv$=Dns6p}#1!5*

62(nsI\5)#

min_improvement_splits }V xPVn0XkzcDnMSJDx#

1!5* 0.01#

min_instances_split {} ITxPVn0`BDn!4VnG<

}#1!5* 2(n!I\5)#

weights a9/ wv`D`T(X#a9/tT#

1!ivGyP`D(Xy* 1#

pruning_measure Acc

wAcc

1!5* Acc(<7T)#g{*Z&

C^t1+`(X<GZZ,I9C

wAcc(S(+7H)fz#

prune_tree_options allTrainingData

partitionTrainingData

useOtherTable

1!ivB,9C allTrainingData 4

@F#M+7H#9C

partitionTrainingData 48(*9C5

7}]DYVH,r useOtherTable 4

9C4T8(}]bmD57}]/#

perc_training_data }V g{ prune_tree_options hC*

partitionTrainingData,G48(C

Z57D}]y<DYVH#

prune_seed {} Z prune_tree_options hC*

partitionTrainingData 1,CZX4V

va{DfzVS,1!5* 1#

pruning_table V{. bGCZ@c#M+7TD@"^t}

]/Dm{F#

compute_probabilities <{5 g{* true,G4+zICEH6p

(EJ)VNT0$bVN#

Netezza K-Means

TBtTICZ`M* netezzakmeans DZc#

m 174. netezzakmeans ZctT.

netezzakmeans ZctT 5 tThv

distance_measure Euclidean

Manhattan

Canberra

maximum

bGCZT}]c.dD`kxPb?D=(#

num_clusters {} *4(D[`};1!5* 3#

max_iterations {} c(|zN},#M57ZK.s#9;1!5* 5#

rand_seed {} bGCZ4FVva{DfzVS;1!5* 12345#

Netezza Bayes xg
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TBtTICZ`M* netezzabayes DZc#

m 175. netezzabayes ZctT.

netezzabayes ZctT 5 tThv

base_index {} TZ;vdkVN8(D}Vj6,CZxPZ?\m;

1!5* 777#

sample_size {} tT}?G#s1ICDy>s!;1!5* 10,000#

display_additional_information <{5 g{* true,G4Z{"T0rPT>nbDxHE"#

type_of_prediction best

neighbors

nn-neighbors

*9CD$bc(`M:best(n`XD`Z5)"neigh-

bors(`Z5DS($b)r nn-neighbors(GU`Z5)#

Netezza SX469

TBtTICZ`M* netezzanaivebayes DZc#

m 176. netezzanaivebayes ZctT.

netezzanaivebayes ZctT 5 tThv

compute_probabilities <{5 g{* true,G4+zICEH6p(EJ)VNT0$b

VN#

use_m_estimation <{5 g{* true,G49C m-estimation <uT\b@cZdD

cEJ#

Netezza KNN

TBtTICZ`M* netezzaknn DZc#

m 177. netezzaknn ZctT.

netezzaknn ZctT 5 tThv

weights a9/ bGCZTwv`8((XDa9/tT#

distance_measure Euclidean

Manhattan

Canberra

Maximum

bGCZT}]c.dD`kxPb?D=(#

num_nearest_neighbors {} X(v8Dn|`Z*X};1!5* 3#

standardize_measurements <{5 g{* true,G4ZFc`k5.0,T,xdkVNDb

?5xPj</#

use_coresets <{5 g{* true,G4TsM}]/9CKD/IyTa_Fc

YH#

Netezza VQ=[`

TBtTICZ`M* netezzadivcluster DZc#
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m 178. netezzadivcluster ZctT.

netezzadivcluster ZctT 5 tThv

distance_measure Euclidean

Manhattan

Canberra

Maximum

bGCZT}]c.dD`kxPb?D=(#

max_iterations {} Z#M57#904PDnsc(|zN};1!5* 5#

max_tree_depth {} IT+}]/pV*Dns6p};1!5* 3#

rand_seed {} fzVS,CZ4FVv;1!5* 12345#

min_instances_split {} ITpVDn!G<},1!5* 5#

level {} *+G<@V=DcNa96p;1!5* -1#

Netezza PCA

TBtTICZ`M* netezzapca DZc#

m 179. netezzapca ZctT.

netezzapca ZctT 5 tThv

center_data <{5 g{* true(1!5),G4H4P}]/P(2F*“=y

5{%(”),;sY4PVv#

perform_data_scaling <{5 g{* true,G4ZVv04P}];c#byvITu!

;,d?T;,%;b?1DVvNbT#

force_eigensolve <{5 g{* true,G49C;+<7+OlD=(4iRwI

]#

pc_number {} *+}]/+r*DwI]};1!5* 1#

Netezza Xiw

TBtTICZ`M* netezzaregtree DZc#

m 180. netezzaregtree ZctT.

netezzaregtree ZctT 5 tThv

max_tree_depth {} wZyZcBITv$=Dnsc};

1!5* 10#

split_evaluation_measure Variance `SJb?,CZ@@VnwDnQ;

C,1!5(10(;!n)G Vari-

ance#

min_improvement_splits }V ZwPxPBpV0*+SJuY=D

n!}?#

min_instances_split {} ITpVDn!G<}#

pruning_measure mse

r2

pearson

spearman

*9CD^t=(
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m 180. netezzaregtree ZctT (x).

netezzaregtree ZctT 5 tThv

prune_tree_options allTrainingData

partitionTrainingData

useOtherTable

1!ivB,9C allTrainingData 4

@F#M+7H#9C

partitionTrainingData 48(*9C5

7}]DYVH,r useOtherTable 4

9C4T8(}]bmD57}]/#

perc_training_data }V g{ prune_tree_options hC*

PercTrainingData,G48(CZ57

D}]y<DYVH#

prune_seed {} Z prune_tree_options hC*

PercTrainingData 1,CZX4Vva

{DfzVS,1!5* 1#

pruning_table V{. bGCZ@c#M+7TD@"^t}

]/Dm{F#

compute_probabilities <{5 g{* true,G48(&C|(Zdv

PD8(`D=n#

Netezza _TXi

TBtTICZ`M* netezzalineregression DZc#

m 181. netezzalineregression ZctT.

netezzalineregression ZctT 5 tThv

use_svd <{5 g{* true,G49C“fl5Vb”Xszf-<Xs,T

ca_YHM}V<7T#

include_intercept <{5 g{* true(1!5),G4a_bD{e<7T#

calculate_model_diagnostics <{5 g{* true,G4T#MFcoOE"#

Netezza 1drP

TBtTICZ`M* netezzatimeseries DZc#

m 182. netezzatimeseries ZctT.

netezzatimeseries ZctT 5 tThv

time_points VN bG|,1drPDUZr1d5Dd

kVN#

time_series_ids VN KdkVN|,1drP ID;Zdk|

,`v1drP19C#

model_table VN bGCZf" Netezza 1drP#MD

}]bmD{F#

description_table VN bG|,1drP{FMhvDdkm

D{F#

seasonal_adjustment_table VN bG;vdvmD{F,CmCZf"

8}=,r>ZTwFVbc(yFc

D4>Hw{5#
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m 182. netezzatimeseries ZctT (x).

netezzatimeseries ZctT 5 tThv

algorithm_name SpectralAnalysis r spectral

ExponentialSmoothing r esmoothing

ARIMA

SeasonalTrendDecomposition r std

bGCZ1drP(#Dc(#

trend_name N

A

DA

M

DM

8}=,DwF`M:

N - ^

A - ST

DA - %uST

M - KT

DM - %uKT

seasonality_type N

A

M

8}=,D>ZT`M:

N - ^

A - ST

M - KT

interpolation_method linear

cubicspline

exponentialspline

*9CDe5=(#

timerange_setting SD

SP

CZhC*9CD1d6':

SD - I537((9C1drP}]D

j{6')

SP - C'(} earliest_time M

latest_time 8(

earliest_time UZ *<1dMax1d(g{

timerange_setting * SP)#

q=:<yyyy>-<mm>-<dd>
latest_time

arima_setting SD

SP

CZhC A R I M A c((v1

algorithm_name hC* ARIMA 1E9

C):

SD - I537(

SP - IC'8(

g{ arima_setting = SP,k9CBP

N}4hC>ZT5MG>ZT5#

p_symbol less

eq

lesseq

ARIMA - N} p"d"q"sp"sd M sq

DKc{:

less - !Z

eq - HZ

lesseq - !ZrHZ

d_symbol

q_symbol

sp_symbol

sd_symbol

sq_symbol

p {} ARIMA - G>ZTT/X*H#

q {} ARIMA - G>ZTIz5#

d {} ARIMA - #MPDG>ZTF/=y5

W}#

sp {} ARIMA - >ZTT/X*H#
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m 182. netezzatimeseries ZctT (x).

netezzatimeseries ZctT 5 tThv

sq {} ARIMA - >ZTIz5#

sd {} ARIMA - #MPD>ZTF/=y5W

}#

advanced_setting SD

SP

7(gN&m_6hC:

SD - I537(

SP - IC'(} period"units_period

M forecast_setting 8(#

period {} >Z\ZD$H,k units_period ;

p8(#;JCZWVv#

units_period ms

s

min

h

d

wk

q

y

period Dm>%;:

ms - Ak

s - k

min - VS

h - !1

d - l

wk - GZ

q - >H

y - j

}g,TZ?\1drP,kT period

9C 1,"T units_period 9C wk#

forecast_setting forecasthorizon

forecasttimes

8(gNxP$b#

forecast_horizon V{. g{ f o r e c a s t _ s e t t i n g =

forecasthorizon,G48($bax

c#

q=:<yyyy>-<mm>-<dd>

forecast_times [{’date’},

{’date’},...,

{’date’}]

g{ f o r e c a s t _ s e t t i n g =

forecasttimes,G48(CZxP$

bD1d#

q=:<yyyy>-<mm>-<dd>

include_history <{5 8>Gq+z75|(ZdvP#

include_interpolated_values <{5 8>Gq+Ze5|(ZdvP#g{

include_history * false,G4;J

C#

Netezza ce_T

TBtTICZ`M* netezzaglm DZc#
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m 183. netezzaglm ZctT.

netezzaglm ZctT 5 tThv

dist_family bernoulli

gaussian

poisson

negativebinomial

wald

gamma

V<`M;1!5* bernoulli#

dist_params }V *9CDV<N}5#v1 distribu-

tion * Negativebinomial 1EJC#

trials {} v1 distribution * Binomial 1E

JC#1?jl&*"zZ;iTiP

DB~}1,target VN|,B~},

trials VN|,Ti}#

model_table VN bGCZf" Netezza ce_T#MD

}]bmD{F#

maxit {} c(&4PDns|zN};1!5*

20#

eps }V 8(nssn5(TF'G}(m

>),o=K5s,c(&#9iRn

Q%d#M#1!5* -3,bm>

1E-3,4 0.001#

tol }V hC}5(CF'm>(),MZK5

DyPsny;S* 0 5#1!5*

- 7,m>sn5tMZ 1 E - 7 (r

0.0000001),G4;S*;Tx#

link_func identity

inverse

invnegative

invsquare

sqrt

power

oddspower

log

clog

loglog

cloglog

logit

probit

gaussit

cauchit

canbinom

cangeom

cannegbinom

*9CD*S/};1!5* logit#

link_params }V *9CDX*/}N}5#v1

link_function * power r oddspower

1EJC#
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m 183. netezzaglm ZctT (x).

netezzaglm ZctT 5 tThv

interaction [{[colnames1],[levels1]},{[colnames2],

[levels2]},...,{[colnamesN],[levelsN]},]

8(VN.dD;%#colnames Gdk

VNDPm,xTZ?vVN,level <

U* 0#

intercept <{5 g{* true,G4Z#MP|(X`#

Netezza #MitT
Netezza }]b#MiD+2tTgBy>#

m 184. +2 Netezza #MitT.

+2 Netezza #MitT 5 tThv

connection V{. bGCZf"#MD Netezza }]bD,SV{.#

table_name V{. bGCZf"#MD}]bmD{F#

d{#MiDtTk`&(#ZcDtT`,#

#MiDE>{FgBy>#

m 185. Netezza #MiDE>{F.

#Mi E>{F

v_w applynetezzadectree

K-Means applynetezzakmeans

469xg applynetezzabayes

SX469 applynetezzanaivebayes

KNN applynetezzaknn

VQ=[` applynetezzadivcluster

PCA applynetezzapca

Xiw applynetezzaregtree

_TXi applynetezzalineregression

1drP applynetezzatimeseries

ce_T applynetezzaglm
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Z 16 B dvZctT

dvZcDtTkd{“`M”ZcDtTTP;,#dvZctT;G8X(DZc!n,xGf"TdvT

sD}C#bZSmPa!5"+dhC*wN}1G#PC#

>Z5wdvZcDICDE>tT#

analysis ZctT

“Vv”Zc@@$b#MzI<7$bD\&#“Vv”Zc4P;vr`v#MiD$b5M5

J5.dDwVHO#“Vv”Zc2ITTHw v$b#M#

m 186. analysis ZctT.

analysis ZctT }]`M tThv

output_mode Screen

File

CZ8(dvZcPzIDdvD?

j;C#

use_output_name <{5 8(Gq9C(FDdv{#

output_name V{. g{ use_output_name * true ,G

48(9CD{F#

output_format Text (.txt)

HTML (.html)

Output (.cou)

CZ8(dv`M#

by_fields [field field field]

full_filename V{. g{GEL"}]r HTML dv,

G4KtT8dvD~D{F#

coincidence <{5

performance <{5

evaluation_binary <{5

confidence <{5

threshold }V

improve_accuracy }V

inc_user_measure <{5

user_if mo=

user_then mo=

user_else mo=

user_compute [Mean Sum Min Max SDev]
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dataaudit ZctT

“}]sK”Zca)PX}]D+fE@,|(?vVNDc\3F"1=<MV<T0PXk

:5"1'5M+5DE"#a{T>ZWZA!DXs P,CXsITEr"RITCZzIj

{s!D<mM}]<8Zc#

m 187. dataaudit ZctT.

dataaudit ZctT }]`M tThv

custom_fields <{5

fields [field1 ... fieldN]

overlay VN

display_graphs <{5 CZr*rXUdvXsP<NDT

>#

basic_stats <{5

advanced_stats <{5

median_stats <{5

calculate Count

Breakdown

CZFc1'5#!q=VFc=(

PD;V"=V,ry;!q#

outlier_detection_method std

iqr

CZ8(k:5M+5Dlb=(#

outlier_detection_std_outlier }V g{ outlier_detection_method G

std,G48(CZ(ek:5D}

5#

outlier_detection_std_extreme }V g{ outlier_detection_method G

std,G48(CZ(e+5D}

5#

outlier_detection_iqr_outlier }V g{ outlier_detection_method G

iqr,G48(CZ(ek:5D}

5#

outlier_detection_iqr_extreme }V g{ outlier_detection_method G

iqr,G48(CZ(e+5D}

5#

use_output_name <{5 8(Gq9C(FDdv{#

output_name V{. g{ use_output_name * true ,G

48(9CD{F#

output_mode Screen

File

CZ8(dvZcPzIDdvD?

j;C#

output_format Formatted (.tab)

Delimited (.csv)

HTML (.html)

Output (.cou)

CZ8(dv`M#

paginate_output <{5 1 output_format G HTML 1,9d

vV3#

lines_per_page }V k paginate_output ;p9C1,8

(?vdv3PDP}#
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m 187. dataaudit ZctT (x).

dataaudit ZctT }]`M tThv

full_filename V{.

matrix ZctT

“Xs”Zc4(;vm,CZT>VN.dDX5#KZcn#CZT>=v{EVN.dDX

5,+2ICZT>j>VNr}VVN.dDX5#

m 188. matrix ZctT.

matrix ZctT }]`M tThv

fields Selected

Flags

Numerics

row VN

column VN

include_missing_values <{5 8(ZPMPdvPGq|,C'1

'5(UW)M531'5(U

5)#

cell_contents CrossTabs

Function

function_field V{.

function Sum

Mean

Min

Max

SDev

sort_mode Unsorted

Ascending

Descending

highlight_top }V g{Gc,G4* true#

highlight_bottom }V g{Gc,G4* true#

display [Counts

Z{5(E)

Pn (Residuals)

RowPct

ColumnPct

TotalPct]

include_totals <{5

use_output_name <{5 8(Gq9C(FDdv{#

output_name V{. g{ use_output_name * true ,G

48(9CD{F#

output_mode Screen

File

CZ8(dvZcPzIDdvD?

j;C#
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m 188. matrix ZctT (x).

matrix ZctT }]`M tThv

output_format Formatted (.tab)

Delimited (.csv)

HTML (.html)

Output (.cou)

CZ8(dv`M#Formatted M

Delimited q=<I9C^N{

transposed,K{EI*CmPDP

MP#

paginate_output <{5 1 output_format G HTML 1,9d

vV3#

lines_per_page }V k paginate_output ;p9C1,8

(?vdv3PDP}#

full_filename V{.

means ZctT

“y5”ZcZ@"i.dr_`XVNDdT.dxPy5HO,TliGqfZTxnp#}

g,zITHO*9Yz 0sD=yUk,r_+4T4S\YzM'DUkkS\YzM'DU

kxPHO#

m 189. means ZctT.

means ZctT }]`M tThv

means_mode BetweenGroups

BetweenFields

8(*Z}]O4PDy53FD`

M#

test_fields [field1 ... fieldn] 8(1 m e a n s _ m o d e hC*

BetweenGroups1DliVN#

grouping_field VN 8(ViVN#

paired_fields [{field1 field2}

{field3 field4}

...]

8(1 m e a n s _ m o d e hC*

BetweenFields1*9CDVNT#

label_correlations <{5 8(ZdvPGqT>`Xj)#v

Z1 m e a n s _ m o d e hC*

BetweenFields 1E&CKhC#

correlation_mode Probability

Absolute

8(CEJ9GxT5j"`X#

weak_label V{.

medium_label V{.

strong_label V{.

weak_below_probability }V 1 correlation_mode hC* Prob-

ability 1,8(u`XDVg5#

bXkG 0 = 1 .dD;v5,}

g 0.90#

strong_above_probability }V ?`XDVg5#

weak_below_absolute }V 1 correlation_mode hC* Absolue

1,8(u`XDVg5#bXkG

0 = 1 .dD;v5,}g 0.90#
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m 189. means ZctT (x).

means ZctT }]`M tThv

strong_above_absolute }V ?`XDVg5#

unimportant_label V{.

marginal_label V{.

important_label V{.

unimportant_below }V MVNX*TDVg5#bXkG 0

= 1 .dD;v5,}g 0.90#

important_above }V

use_output_name <{5 8(Gq9C(FDdv{#

output_name V{. 9CD{F#

output_mode Screen

File

8(SdvZcPzIDdvD?j

;C#

output_format Formatted (.tab)

Delimited (.csv)

HTML (.html)

Output (.cou)

8(dv`M#

full_filename V{.

output_view Simple

Advanced

8(ZdvPT>r%S<9G_6

S<#

report ZctT

“(f”ZcI4(q=/(f,dP|,L(D>"}]0CT}]Dd{mo=#zIT9C

D>#e8((fDq=,T(eL(D>M}]dv9l#(}Z#eP9C HTML jGT0

Z“dv”!n(OhC!n,ITa)(FD>q=#(}9C#ePD CLEM mo=,IT|

(}]5Md{u~dv#

m 190. report ZctT.

report ZctT }]`M tThv

output_mode Screen

File

CZ8(dvZcPzIDdvD?

j;C#

output_format HTML (.html)

Text (.txt)

Output (.cou)

CZ8(dv`M#

use_output_name <{5 8(Gq9C(FDdv{#

output_name V{. g{ use_output_name * true ,G

48(9CD{F#

text V{.

full_filename V{.

highlights <{5

title V{.

lines_per_page }V
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Routput ZctT

(}9CzT:D(F R E>,IT9C“R dv”Zc4V

v#M@VD}]Ma{#VvDdvITGD>,2IT

G<N#dv+mS=\mw0qDdv!n(P;mb,

IT+dvX(r=D~#

m 191. Routput ZctT.

Routput ZctT }]`M tThv

syntax V{.

convert_flags StringsAndDoubles
LogicalValues

convert_datetime <{5

convert_datetime_class POSIXct
POSIXlt

convert_missing <{5

output_name Auto
Custom

custom_name V{.

output_to Screen
File

output_type Graph
Text

full_filename V{.

graph_file_type HTML
COU

text_file_type HTML
TXT
COU

setglobals ZctT

“hC+V5”Zc(h}]"FcIZ CLEM mo=P9CDc\5#}g,ITCCZc*;

v{*jdDVNFc3F"(}ek/} @GLOBAL_MEAN(age) Z CLEM mo=P9CjdD\

y5#

m 192. setglobals ZctT.

setglobals ZctT }]`M tThv

globals [Sum Mean Min Max SDev] a9/tT

clear_first <{5

show_preview <{5
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simeval ZctT

“#b@@”ZcT8(D$b?jVNxP@@,"T>PXC?jVNDV<M`XTE"#

m 193. simeval ZctT.

simeval ZctT }]`M tThv

target VN

iteration VN

presorted_by_iteration <{5

max_iterations }V

tornado_fields [field1...fieldN]

plot_pdf <{5

plot_cdf <{5

show_ref_mean <{5

show_ref_median <{5

show_ref_sigma <{5

num_ref_sigma }V

show_ref_pct <{5

ref_pct_bottom }V

ref_pct_top }V

show_ref_custom <{5

ref_custom_values [number1...numberN]

category_values Category
Probabilities
Both

category_groups Categories
Iterations

create_pct_table <{5

pct_table Quartiles
Intervals
Custom

pct_intervals_num }V

pct_custom_values [number1...numberN]

simfit ZctT

“#bbO”Zcli?vVNPD}]D3FV<,"zI(r|B)“#bzI”Zc,,1+

nQbOV<Vdx?vVN#;s,IT9C“#bzI”Zc4zI#b}]#
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m 194. simfit ZctT.

simfit ZctT }]`M tThv

build Node
XMLExport
Both

use_source_node_name <{5

source_node_name V{. }ZzIr|BD4ZcD(F{

F#

use_cases All
LimitFirstN

use_case_limit {}

fit_criterion AndersonDarling
KolmogorovSmirnov

num_bins {}

parameter_xml_filename V{.

generate_parameter_import <{5

statistics ZctT

“3F”Zca)PX}VVNDy>c\E"#|FcwvVNDc\3FT0VNdD`X

T#

m 195. statistics ZctT.

statistics ZctT }]`M tThv

use_output_name <{5 8(Gq9C(FDdv{#

output_name V{. g{ use_output_name * true ,G

48(9CD{F#

output_mode Screen

File

CZ8(dvZcPzIDdvD?

j;C#

output_format Text (.txt)

HTML (.html)

Output (.cou)

CZ8(dv`M#

full_filename V{.

examine [field field field]

correlate [field field field]

statistics [Count Mean Sum Min Max

Range Variance SDev SErr

Median Mode]

correlation_mode Probability

Absolute

8(CEJ9GxT5j"`X#

label_correlations <{5

weak_label V{.

medium_label V{.
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m 195. statistics ZctT (x).

statistics ZctT }]`M tThv

strong_label V{.

weak_below_probability }V 1 correlation_mode hC* Prob-

ability 1,8(u`XDVg5#

bXkG 0 = 1 .dD;v5,}

g 0.90#

strong_above_probability }V ?`XDVg5#

weak_below_absolute }V 1 correlation_mode hC* Absolue

1,8(u`XDVg5#bXkG

0 = 1 .dD;v5,}g 0.90#

strong_above_absolute }V ?`XDVg5#

statisticsoutput ZctT

“Statistics dv”ZcCZwC IBM SPSS Statistics }L,TVv IBM SPSS Modeler }]#I

TCJm`;,D IBM SPSS Statistics Vv}L#KZch* IBM SPSS Statistics DmI1>#

PXKZctTDE",kNDZ 2163D:statisticsoutput ZctT;#

table ZctT

“m”ZcTmq=T>}],b)}]9IT4k=D~P#?1zh*li}]5r_ICI

aIDADq=<vb)}]51,KZcG#PC#

m 196. table ZctT.

table ZctT }]`M tThv

full_filename V{. g{GEL"}]r HTML dv,G4K

tT8dvD~D{F#

use_output_name <{5 8(Gq9C(FDdv{#

output_name V{. g{ use_output_name * true ,G48(

9CD{F#

output_mode Screen

File

CZ8(dvZcPzIDdvD?j;

C#

output_format Formatted (.tab)

Delimited (.csv)

HTML (.html)

Output (.cou)

CZ8(dv`M#

transpose_data <{5 <v0*C}],9Pm>VN,Pm>

G<#
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m 196. table ZctT (x).

table ZctT }]`M tThv

paginate_output <{5 1 output_format G HTML 1,9dvV

3#

lines_per_page }V k paginate_output ;p9C1,8(?v

dv3PDP}#

highlight_expr V{.

output V{. ;AtT,I#tTIZc9(Dns;

vmD}C#

value_labels [{Value LabelString}

{Value LabelString} ...]

CZ*5T8(j)#

display_places {} *VNhCT>D!};}(vCZT

REAL f"DVN)#5* -1 1+9Cw

1!5#

export_places {} *VNhC<vD!};}(vCZT

REAL f"DVN)#5* -1 1+9Cw

1!5#

decimal_separator DEFAULT

PERIOD

COMMA

*VNhC.xFVt{(vCZT REAL

f"DVN)#

date_format "DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"
DAY
MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY
q Q YYYY
ww WK YYYY

*VNhCUZq=(vCZT DATE r

TIMESTAMP f"DVN)#
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m 196. table ZctT (x).

table ZctT }]`M tThv

time_format "HHMMSS"

"HHMM"

"MMSS"

"HH:MM:SS"

"HH:MM"

"MM:SS"

"(H)H:(M)M:(S)S"

"(H)H:(M)M"

"(M)M:(S)S"

"HH.MM.SS"

"HH.MM"

"MM.SS"

"(H)H.(M)M.(S)S"

"(H)H.(M)M"

"(M)M.(S)S"

*VNhC1dq=(vCZT TIME r

TIMESTAMP f"DVN)#

column_width {} *VNhCPmH#5* -1 m>+PmH

hC* Auto#

justify AUTO

CENTER

LEFT

RIGHT

*VNhCPTkq=#

transform ZctT

“*;”ZcJmzH!q"TIS==$@*;a{,;sY+b)*;&CZ!qDVN#

m 197. transform ZctT.

transform ZctT }]`M tThv

fields [ field1... fieldn] *Z*;P9CDVN#

formula All

Select

m>&FcyP*;9G!(D*

;#

formula_inverse <{5 m>Gq&9Cf*;#

formula_inverse_offset }V m>+=P*9CD}]+F?#}

GC'8(,qr1!ivBhC*

0#

formula_log_n <{5 m>Gq&9C log n *;#

formula_log_n_offset }V

formula_log_10 <{5 m>Gq&9C log 10 *;#

formula_log_10_offset }V

formula_exponential <{5 m>Gq&9C8}(e x )*;#

formula_square_root <{5 m>Gq&9C==y*;#
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m 197. transform ZctT (x).

transform ZctT }]`M tThv

use_output_name <{5 8(Gq9C(FDdv{#

output_name V{. g{ use_output_name * true ,G4

8(9CD{F#

output_mode Screen

File

CZ8(dvZcPzIDdvD?

j;C#

output_format HTML (.html)

Output (.cou)

CZ8(dv`M#

paginate_output <{5 1 output_format G HTML 1,9d

vV3#

lines_per_page }V k paginate_output ;p9C1,8

(?vdv3PDP}#

full_filename V{. m>*ZD~dvP9CDD~{#
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Z 17 B <vZctT

+2<vZctT

TBtT(CZyP<vZc#

m 198. +2<vZctT.

tT 5 tThv

publish_path V{. dk*CZy"<D<qMN}D~D

rootname {F#

publish_metadata <{5 8(GqzI*}]D~(CZhv<qD

dkMdvT0|GD}]#M)#

publish_use_parameters <{5 8(GqZ *.par D~P|,wN}#

publish_parameters V{.Pm 8(*|(DN}#

execute_mode export_data

publish

8(G4PZcx;"<w,9GZ4PZ

c1T/"<w#

asexport ZctT
(} Analytic Server <v,ITZV<=D~53 (HDFS) OKPw#

m 199. asexport ZctT.

asexport ZctT }]`M tThv

data_source string }]4D{F#

export_mode string 8(G+<vD}]7S=VP}]

4,9G2GVP}]4#

host string Analytic Server wzD{F#

KZ integer Analytic Server xPl}DKZ#

tenant string Z`b'73P,bGzytDDb'

D{F#Z%b'73P,KtTD1

!5* ibm#

set_credentials <{5 g{ Analytic Server ODC'O$k

SPSS Modeler ~qw`,,k+KtT

hC* false#qr,+dhC*

true#

user_name string CZG<= Analytic Server DC'{#

v1 set_credentials * true 1Eh

*#

password string CZG<= Analytic Server D\k#v

1 set_credentials * true 1Eh*#
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cognosexport ZctT

IBM Cognos BI <vZcT Cognos BI }]by\;A!Dq=<v}]#

"b:TZKZc,Xk(e Cognos ,SM ODBC ,S#

Cognos ,S

Cognos ,SDtTgB#

m 200. cognosexport ZctT.

cognosexport ZctT }]`M tThv

cognos_connection {″field″,″field″, ... ,″field″} bG|, Cognos ~qw,Sj8E"DPmt

T#q=*:

{″Cognos_server_URL″, login_mode, ″namespace″,

″username″, ″password″}

dP:

Cognos_server_URL z*<v}]D?j Cognos

~qwD URL

login_mode 8>Gq9Cd{G<,d5* true

r false;g{hC* true,G4&+BPVNh

C* ""

namespace 8(CZG<~qwD2+O$a)L

r

username M password *CZG< Cognos ~qw

DC'{M\k

cognos_package_name V{. z*+}]<v=D Cognos }]|D76M{

F,}g:

/Public Folders/MyPackage

cognos_datasource V{.

cognos_export_mode "<

ExportFile

cognos_filename V{.

ODBC ,S

}K datasource tT^'.b,ODBC ,SDtTkB;ZPkT databaseexport PvDtTj+`,#

databaseexport ZctT

“}]b<v”Zc+}]4k{O ODBC j<DX5}]4#*4k ODBC }]4,C}]4X

kfZ,RzTC}]4Xk_P4mI(#
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m 201. databaseexport ZctT.

databaseexport ZctT }]`M tThv

datasource V{.

username V{.

password V{.

epassword V{. Z4PZd,K[*;A#*zI-}

`kD\k,k9C“$_”K%PD“

\k$_”#PX|`E",kNDZ

413D:zIS\\k;wb#

table_name V{.

write_mode Create

Append

Merge

map V{. CZ+wVN{F3d=}]bP{F

(vZ write_mode * Merge DivB

EP')#

TZO",yPVNXk-}3dE\

<v#}]bP;fZDVN{F+m

S*BP#

key_fields [field field ... field] 8(Cw|DwVN;map tT8>K

KVNZ}]bPDT&n#

join Database

Add

drop_existing_table <{5

delete_existing_rows <{5

default_string_size {}

type CZhC#=`MDa9tT#

generate_import <{5

use_custom_create_table_command <{5 9C custom_create_table (@^Dj<

CREATE TABLE SQL |n#

custom_create_table_command V{. 8(V{.|nzfj< CREATE TABLE

SQL |n9C#

use_batch <{5 BPtTGCZ}]bz?0kD_6

!n#Use_batch * true 1+XUr}

]bpPa;D&\#

batch_size }V 8(Za;=Zf0"M=}]bDG

<}#

bulk_loading Off

ODBC

External

8(z?0k`M#BfPvK ODBC

M External Dd{!n#

not_logged <{5

odbc_binding Row

Column

8((} ODBC z?0k19CpPs

(rpPs(#
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m 201. databaseexport ZctT (x).

databaseexport ZctT }]`M tThv

loader_delimit_mode Tab

Space

Other

TZ(}b?LrDz?0k,8((

g{D`M#!q Other ,,

loader_other_delimiter

tTT8((g{,}g:E (,)#

loader_other_delimiter V{.

specify_data_file <{5 j>* true 1I$nBfD data_file

tT,ZCtTPIT8(z?0k=

}]b14kDD~{M76#

data_file V{.

specify_loader_program <{5 j>* t r u e 1I$nBfD

loader_program tT,ZCtTPIT

8(b?0kLrE>rLrD{FM

;C#

loader_program V{.

gen_logfile <{5 j>* t r u e 1I$nBfD

logfile_name,ZCtTPIT8(~

qwODD~D{FTzImsU>#

logfile_name V{.

check_table_size <{5 j>* true 1JmxPmliT7#}

]bms!DvSkS IBM SPSS Mod-

eler <vDP}`{#

loader_options V{. 8(0kLrDd{N},}g -com-

ment M -specialdir#

export_db_primarykey <{5 8(x(VNGq*w|#

use_custom_create_index_command <{5 g{j>* true,G4*yPw}tC

(F SQL#

custom_create_index_command V{. 8(tC(F SQL sCZ4(w}D

SQL |n#(4(X(w}1,C5I

;2G,gBy>#)

indexes.INDEXNAME.fields X*14(8(Dw},"Pv*|(

ZCw}PDVN{#

indexes.INDEXNAME.use_custom_
create_ index_command

<{5 CZtCr{CX(w}D(F SQL#

indexes.INDEXNAME.custom_create_
ommand

8(CZ8(w}D(F SQL#

indexes.INDEXNAME.remove <{5 g{j>* true,G4Sw}/P>}

8(Dw}#

table_space V{. 8(+4(mUd#

use_partition <{5 8(+9CV<"PVN#

partition_field V{. 8(V<"PVNDZ]#

"b:TZ3)}]b,zIT8(T<v1xP9uD==44(}]bm(}g,SQL PDH'od CRE-

ATE TABLE MYTABLE (...) COMPRESS YES;)#*K'VK&\,a)KtT use_compression M

compression_mode,gBy>#
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m 202. 9C9u&\D databaseexport ZctT.

databaseexport ZctT }]`M tThv

use_compression <{5 g{hC* true,G4+T<v1xP9uD=

=4(m#

compression_mode Row

Page

hC SQL Server }]bD9u6p#

Default

Direct_Load_Operations

All_Operations

Basic

OLTP

Query_High

Query_Low

Archive_High

Archive_Low

hC Oracle }]bD9u6p#k"b,5

OLTP"Query_High"Query_LowArchive_High M

Archive_Low AYh* Oracle 11gR2#

datacollectionexport ZctT

IBM SPSS Data Collection <vZcT IBM SPSS Data Collection P!wim~9CDq=dv

}]#Xk20 IBM SPSS Data Collection }]bEI9CKZc#

m 203. datacollectionexport ZctT.

datacollectionexport ZctT }]`M tThv

metadata_file V{. *<vD*}]D~D{F#

merge_metadata Overwrite

MergeCurrent

enable_system_variables <{5 8(<vD .mdd D~Gq&|(

IBM SPSS Data Collection 53d

?#

casedata_file V{. *<v[b}]D .sav D~D{F#

generate_import <{5

excelexport ZctT

Excel <vZcT Microsoft Excel q= (.xls) dv}]#z9I!qZ4PjKZcsT/t/

Excel "r*<vDD~#

m 204. excelexport ZctT.

excelexport ZctT }]`M tThv

full_filename V{.
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m 204. excelexport ZctT (x).

excelexport ZctT }]`M tThv

excel_file_type Excel2003

Excel2007

export_mode Create

Append

inc_field_names <{5 8(VN{GqIT|,Z$wmD

Z;PP#

start_cell V{. 8(<vD*<%*q#

worksheet_name V{. *4kD$wmD{F#

launch_application <{5 8(Gq&CTzIDD~wC

Excel#k"b,XkZ“oz&CL

r”T0r(“$_”K% >“oz&C

Lr”)P8(CZt/ Excel D7

6#

generate_import <{5 8(Gq&zICZA!y<v}]

D~D“Excel <k”Zc#

outputfile ZctT

“=fD~<v”Zc+}]dv=(gD>D~P#bTZ<vITId{VvrgSmqm~

A!D}]G#PC#

m 205. outputfile ZctT.

outputfile ZctT }]`M tThv

full_filename V{. dvD~D{F#

write_mode Overwrite

Append

inc_field_names <{5

use_newline_after_records <{5

delimit_mode Comma

Tab

Space

Other

other_delimiter V{

quote_mode None

Single

Double

Other

other_quote <{5

generate_import <{5
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m 205. outputfile ZctT (x).

outputfile ZctT }]`M tThv

encoding StreamDefault

SystemDefault

"UTF-8"

sasexport ZctT

“SAS <v”ZcT SAS q=dv}],Tc+C}]Ak SAS r_k SAS f]Dm~|#2

P}VICD SAS D~q=:SAS for Windows/OS2"SAS for UNIX M SAS V7/V8#

m 206. sasexport ZctT.

sasexport ZctT }]`M tThv

format Windows

UNIX

SAS7

SAS8

IdtTj)VN#

full_filename V{.

export_names NamesAndLabels

NamesAsLabels

CZ+VN{S IBM SPSS Modeler

D<vP3d= IBM SPSS Statistics

r SAS Dd?{P#

generate_import <{5

statisticsexport ZctT

“Statistics <v”ZcT IBM SPSS Statistics .sav q=dv}]#.sav D~II IBM SPSS Statis-

tics Base Md{z7A!#bVq=2CZ IBM SPSS Modeler PD3):fD~#

PXKZctTDE",kNDZ 2163D:statisticsexport ZctT;#

xmlexport ZctT

“XML <v”Zc+}]T XML q=dv=D~#zIT!qTX4(“XML 4”Zc,Tc+<

vD}]XBA!=wP#

m 207. xmlexport ZctT.

xmlexport ZctT }]`M tThv

full_filename V{. (Xh)XML <vD~Dj{76MD~{#
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m 207. xmlexport ZctT (x).

xmlexport ZctT }]`M tThv

use_xml_schema <{5 8(Gq9C XML #=(XSD r DTD D~)

XF<v}]Da9#

full_schema_filename V{. *9CD XSD r DTD D~Dj{76MD~

{#g{ use_xml_schema h* true,G4*X

h#

generate_import <{5 zICZ+<vD}]D~AX=wPD“XML 4

”Zc#

records V{. m>G<_gD XPath mo=#

map V{. +VN{3d= XML a9#
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Z 18 B IBM SPSS Statistics ZctT

statisticsimport ZctT

“Statistics D~”ZcS IBM SPSS Statistics 9CD .sav D~q=T0#fZ IBM SPSS Mod-

eler PD_Y:fD~(b)D~9C,;q=)PA!}]#

m 208. statisticsimport ZctT.

statisticsimport ZctT }]`M tThv

full_filename V{. j{D~{(|(76)#

import_names NamesAndLabels

LabelsAsNames

&md?{Mj)D=(#

import_data DataAndLabels

LabelsAsData

&m5Mj)D=(#

use_field_format_for_storage <{5 8(<k1Gq9C IBM SPSS Statistics VNq

=E"#

statisticstransform ZctT

“Statistics *;”ZckT IBM SPSS Modeler PD}]4KP!qD IBM SPSS Statistics o(

|n#KZch* IBM SPSS Statistics DmI1>#

m 209. statisticstransform ZctT.

statisticstransform ZctT }]`M tThv

syntax V{.

check_before_saving <{5 #fdkn.0i$QdkDo(#

g{o(^',G4aT>;ums

{"#

default_include <{5 PX|`E",kNDZ 903D:fil-

ter ZctT;wb#

include <{5 PX|`E",kNDZ 903D:fil-

ter ZctT;wb#

new_name V{. PX|`E",kNDZ 903D:fil-

ter ZctT;wb#
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statisticsmodel ZctT

“Statistics #M”Zc9z\;(}KP+azI PMML D IBM SPSS Statistics }L4VvM&

m}]#KZch* IBM SPSS Statistics DmI1>#

statisticsmodel ZctT }]`M tThv

syntax V{.

default_include <{5 PX|`E",kNDZ 903D:fil-

ter ZctT;wb#

include <{5 PX|`E",kNDZ 903D:fil-

ter ZctT;wb#

new_name V{. PX|`E",kNDZ 903D:fil-

ter ZctT;wb#

statisticsoutput ZctT

“Statistics dv”ZcCZwC IBM SPSS Statistics }L,TVv IBM SPSS Modeler }]#I

TCJm`;,D IBM SPSS Statistics Vv}L#KZch* IBM SPSS Statistics DmI1>#

m 210. statisticsoutput ZctT.

statisticsoutput ZctT }]`M tThv

mode Dialog

Syntax

!q“IBM SPSS Statistics T0r”!

nro(`-w

syntax V{.

use_output_name <{5

output_name V{.

output_mode Screen

File

full_filename V{.

file_type HTML

SPV

SPW

statisticsexport ZctT

“Statistics <v”ZcT IBM SPSS Statistics .sav q=dv}]#.sav D~II IBM SPSS Statis-

tics Base Md{z7A!#bVq=2CZ IBM SPSS Modeler PD3):fD~#
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m 211. statisticsexport ZctT.

statisticsexport ZctT }]`M tThv

full_filename V{.

launch_application <{5

export_names NamesAndLabels

NamesAsLabels

CZ+VN{S IBM SPSS Modeler

D<vP3d= IBM SPSS Statistics

r SAS Dd?{P#

generate_import <{5
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Z 19 B ,ZctT

BPwmhvX(Z,ZcDtT#"b+2ZctT2I&CZ,Zc#

m 212. UK,ZctT.

tT{F tT`M/5Pm tThv

execute_method Script

}, (Normal)

script string

script_language PythonLegacy *,ZcE>hCE>oT#

,ZcN}

zIT9C^DwN}1yCD/}49CE>4(rhC,ZcN}#kNDwbZ 353D:w"a0M

,ZcN};,Kb|`E"#

hCQb0ZcDtT

*hCPX,ZcZDZcDtT,zXkCJC,Zcy5PD<,;s9CwV find =((}g

findByName() M findByID())4R=b)Zc#}g,Z|,%v“`M”ZcD,ZcE>P:

supernode = modeler.script.supernode()
diagram = supernode.getCompositeProcessorDiagram()
# Find the type node within the supernode internal diagram
typenode = diagram.findByName("type", None)
typenode.setKeyedProperty("direction", "Drug", "Input")
typenode.setKeyedProperty("direction", "Age", "Target")

,ZcE>DV^T#,Zc^(&md{w,2^(|D10w#
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=< A. Zc{}C

K?Va) IBM SPSS Modeler PZcDE>`F{F}C#

#Mi{F

#Mi(2F*zID#M)IT4`MxP}C,MCqZcMdvTs;y#BmPv#MTsD}C{

F#

k"b,b){F(CZ}C#M!Ce(;Z IBM SPSS Modeler 0ZDROG)PD#Mi#*}CQ-

mS=wPxP@VD#MZc,G49Cmb;WT apply... *0:D{F#PX|`E",kNDZ 161

3DZ 14 B, :#MiZctT;wb#

":Z(#ivB,(i4{FM`M4}C#M,T\b}pl}#

m 213. #Mi{F((#!Ce).

#M{F #M

anomalydetection l#

apriori Apriori

autoclassifier T/V`w

autocluster T/[`

autonumeric T/}V

bayesnet 469xg

c50 C5.0

carma Carma

cart C&R w

chaid CHAID

coxreg Cox Xi

decisionlist v_Pm

discriminant Pp

factor PCA/rS

featureselection Xw!q

genlin ce_TXi

glmm GLMM

kmeans K-Means

knn k-n|`Z*X

kohonen Kohonen

linear _T

logreg Logistic Xi

neuralnetwork `q-xg

quest QUEST

regression _TXi
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m 213. #Mi{F((#!Ce) (x).

#M{F #M

sequence rP

slrm T'l&#M

statisticsmodel IBM SPSS Statistics #M

SVM 'Vr?z

timeseries 1drP

twostep ~W

m 214. #Mi{F(}]b(#!Ce).

#M{F #M

db2imcluster IBM ISW [`

db2imlog IBM ISW Logistic Xi

db2imnb IBM ISW SX469

db2imreg IBM ISW Xi

db2imtree IBM ISW v_w

msassoc MS X*fr

msbayes MS SX469

mscluster MS [`

mslogistic MS Logistic Xi

msneuralnetwork MS q-xg

msregression MS _TXi

mssequencecluster MS rP[`

mstimeseries MS 1drP

mstree MS v_w

netezzabayes Netezza Bayes xg

netezzadectree Netezza v_w

netezzadivcluster Netezza VQ=[`

netezzaglm Netezza ce_T

netezzakmeans Netezza K-Means

netezzaknn Netezza KNN

netezzalineregression Netezza _TXi

netezzanaivebayes Netezza SX469

netezzapca Netezza PCA

netezzaregtree Netezza Xiw

netezzatimeseries Netezza 1drP

oraabn Oracle Adaptive Bayes

oraai Oracle AI

oradecisiontree Oracle v_w

oraglm Oracle GLM

orakmeans Oracle k-Means

oranb Oracle SX469
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m 214. #Mi{F(}]b(#!Ce) (x).

#M{F #M

oranmf Oracle NMF

oraocluster Oracle O-Cluster

orasvm Oracle SVM

\bX4D#M{F

9CE>TzID#MxPYw1,qX"b:JmX4D#M{FI\a<Bge}C#*K\bbViv

D"z,nCZ`FE>1*sTzID#M9C(;D{F#

**X4#M{FhC!n:

1. SK%P!q:

$_ > C'!n

2. %w(*!n(#

3. !qf;-P#MT^FzID#MDX4|{#

fZ;w7D#M}C1,E>4PP*Z SPSS Modeler k IBM SPSS Collaboration and Deployment Ser-

vices .dI\Py;,#SPSS Modeler M'za)K“f;H0#M”!n,K!n+T/f;,{D#M(}

g,E>(}-74P|z,Tc?N<zI;,D#M)#+G,Z IBM SPSS Collaboration and Deploy-

ment Services PKP,;E>1,K!n;IC#(}+?N|zPzID#MX|{T\bT#MxP;w

7D}C,r_(}Z-7ax0e}10#M(}g,mS clear generated palette od),IT\bb

Viv#

dv`M{F

BmPvKyPDdvTs`MM4(|GDZc#PX?Vdv`MICD<vq=j{Pm,kND4(

Cdv`MDZcDtThv(Z 1053D:<NZc+2tT;MZ 1953DZ 16 B, :dvZctT;)#

m 215. dvTs`MT04(b)`MDZc.

dvTs`M Zc

analysisoutput Vv

collectionoutput /O

dataauditoutput }]sK

distributionoutput V<

evaluationoutput @@

histogramoutput 1=<

matrixoutput Xs

meansoutput =y5

multiplotoutput `X"c<

plotoutput "c<

qualityoutput J?

reportdocumentoutput KTs`M;tZZc;|G$L(f4(Ddv

reportoutput (f
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m 215. dvTs`MT04(b)`MDZc (x).

dvTs`M Zc

statisticsprocedureoutput Statistics dv

statisticsoutput 3F

tableoutput m

timeplotoutput 1d"c<

weboutput Web
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=< B. SIE>`F(F= Python E>`F

IE>(FEv

>Za) IBM SPSS Modeler P Python E>`FkIE>`F.dDnl**,"a)PXgN+IE>(

F* Python E>DE"#Z>ZP,z+R=j< SPSS Modeler I|nMH'D Python |nDPm#

;cnl

IE>`FDhFZ\sLHOhxKYw53|nE>#!\|,;)ia9(}g

if...then...else...endif M for...endfor),+IE>`FfrP,"Rux(#;Pbe#

Z Python E>`FP,uxPbe,"RtZ,;_-iDPXkZ,;6pxPux#

":4FM3y Python zk1,kqX!DYw#Z`-wP,9C tab uxDPI\k9CUquxDP

4p4;y#+G,Python E>+zIms,bGr*4+b)PSwux`,DP#

E>`FOBD

E>`FOBD(eK+ZdP4PE>D73,}g,CZ4PE>Dwr,Zc#}g,ZIE>`F

P,OBDG~=D,bb6EY(wE>PDyPZc}C<|,Z4PCE>DwP#

Z Python E>`FP,E>`FOBD(} modeler.script #iTT===a)#}g,Python wE>I

T9CTBzkCJ4PCE>Dw:

s = modeler.script.stream()

;s,IT(}5XDTs4wCkw`XD/}#

|nk/}

IE>`Ffr|n#bb6EE>D?;P(#TszN}xPKPD|n*<,}g:

connect ’Type’:typenode to :filternode
rename :derivenode as "Compute Total"

Python 9C(#(}(e/}DTs(#i"`rTs)ywCD/},}g:

stream = modeler.script.stream()
typenode = stream.findByName("type", "Type)
filternode = stream.findByName("filter", None)
stream.link(typenode, filternode)
derive.setLabel("Compute Total")
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DVM"M

IBM SPSS Modeler P;)#CDDVM"M|nZ Python E>`FP_PH'|n#bITozz+VP

SPSS Modeler IE>*;* Python E>,TcZ IBM SPSS Modeler 16 P9C#

m 216. DVM"MDIE>`F= Python E>`FD3d.

IE>`F Python E>`F

{},}g 4 `,

!c},}g 0.003 `,

S%}EDV{.,}g ’Hello’ `,

":|,G ASCII V{DV{.Vf5XkT u w*0:,

T7#|Gm>* Unicode#

S+}EDV{.,}g "Hello again" `,

":|,G ASCII V{DV{.Vf5XkT u w*0:,

T7#|Gm>* Unicode#

$V{.,}g

"""This is a string
that spans multiple
lines"""

`,

Pm,}g [1 2 3] [1, 2, 3]

d?}C,}g set x = 3 x = 3

PLx{ (\),}g

set x = [1 2 \
3 4]

x = [ 1, 2,\
3, 4]

i"M,}g

/* This is a long comment
over a line.*/

/* This is a long comment
over a line.*/

P"M,}g set x = 3 # make x 3 x = 3 # make x 3

undef ^

true True

false False

Kc{

IBM SPSS Modeler P;)#CDKc{|nZ Python E>`FP_PH'|n#bITozz+VP SPSS

Modeler IE>*;* Python E>,TcZ IBM SPSS Modeler 16 P9C#

m 217. Kc{DIE>`F= Python E>`FD3d.

IE>`F Python E>`F

NUM1 + NUM2
LIST + ITEM
LIST1 + LIST2

NUM1 + NUM2
LIST.append(ITEM)
LIST1.extend(LIST2)

NUM1 – NUM2
LIST - ITEM

NUM1 – NUM2
LIST.remove(ITEM)

NUM1 * NUM2 NUM1 * NUM2

NUM1 / NUM2 NUM1 / NUM2

=
==

==
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m 217. Kc{DIE>`F= Python E>`FD3d (x).

IE>`F Python E>`F

/=
/==

!=

X ** Y X ** Y

X < Y
X <= Y
X > Y
X >= Y

X < Y
X <= Y
X > Y
X >= Y

X div Y
X rem Y
X mod Y

X // Y
X % Y
X % Y

and
or
not(EXPR)

and
or
not EXPR

u~odM-7

IBM SPSS Modeler P;)#CDu~M-7|nZ Python E>`FP_PH'|n#bITozz+VP

SPSS Modeler IE>*;* Python E>,TcZ IBM SPSS Modeler 16 P9C#

m 218. u~odM-7DIE>`F= Python E>`FD3d.

IE>`F Python E>`F

for VAR from INT1 to INT2
...

endfor

for VAR in range(INT1, INT2):
...

r

VAR = INT1
while VAR <= INT2:

...
VAR += 1

for VAR in LIST
...

endfor

for VAR in LIST:
...

for VAR in_fields_to NODE
...

endfor

for VAR in NODE.getInputDataModel():
...

for VAR in_fields_at NODE
...

endfor

for VAR in NODE.getOutputDataModel():
...

if...then
...

elseif...then
...

else
...

endif

if ...:
...

elif ...:
...

else:
...

with TYPE OBJECT
...

endwith

^H'n

var VAR1 ;h*d?yw
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d?

ZIE>`FP,}Cd?.0Td?xPKyw,}g:

var mynode
set mynode = create typenode at 96 96

Z Python E>`FP,d?ZWN}C1xP4(,}g:

mynode = stream.createAt("type", "Type", 96, 96)

ZIE>`FP,Xk9C ^ Kc{T=}%Td?D}C,}g:

var mynode
set mynode = create typenode at 96 96
set ^mynode.direction."Age" = Input

ksT}E>`FoT;y,Z Python E>`FP,b;GXhYw,}g:

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction","Age","Input")

Zc"dvM#M`M

ZIE>`FP,wVTs`M(Zc"dvM#M)(#rTs`M7SK`M#}g,“Iz”Zc_P

derivenode `M:

set feature_name_node = create derivenode at 96 96

Python PD IBM SPSS Modeler API 4|, node s:,rK“Iz”Zc_P derive `M,}g:

feature_name_node = stream.createAt("derive", "Feature", 96, 96)

IE>`Fk Python E>`FD`M{FPD(;nlZZ1Y`Ms:#

tT{

ZIE>`FM Python E>`FP,tT{`,#}g,Zb=VE>`F73P,d?D~ZcPCZ(e

D~;CDtT* full_filename#

Zc}C

m`IE>9C~=Qw4iRMCJ*^DDZc#}g,BP|nCZZ10wPQwxP“`M”j)D

“`M”Zc,;s+“jd”VND=r(r(#G+)hC*dk,"+“)7”VNhC*?j(2MG*$

bD5):

set ’Type’:typenode.direction."Age" = Input
set ’Type’:typenode.direction."Drug" = Target

Z Python E>`FP,XkHT=iRZcTs,;sYwCCZhCtT5D/},}g:

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

":Z>}P,″Target″ Xk|,ZV{.}EP#

mb,Python E>I9C modeler.api m~|PD ModelingRole 6Y#
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d; Python E>`Ff>I\|*1v,+|\;5V|QDKP1T\,bGr*(#v4P;NQwZ

c#ZIE>`F>}P,+kTwv|nQwZc#

mb,9'V4j6iRZc(ITZZcT0rD“"M”!n(Pi4Zcj6)#}g,ZIE>`F

P:

# id65EMPB9VL87 is the ID of a Type node
set @id65EMPB9VL87.direction."Age" = Input

TBE>T> Python E>`FPD,;>}:

typenode = stream.findByID("id65EMPB9VL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

q!"hCtT

IE>`F9C set |n48(5#set |nszDJcITGtT(e#TBE>T>K=VI\DCZh

CtTDE>q=:

set <node reference>.<property> = <value>
set <node reference>.<keyed-property>.<key> = <value>

Z Python E>`FP,(}9C/} setPropertyValue() M setKeyedPropertyValue(),IT5V,;a

{,}g:

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

ZIE>`FP,IT9C get |n45VCJtT5,}g:

var n v
set n = get node :filternode
set v = ^n.name

Z Python E>`FP,(}9C/} getPropertyValue(),IT5V,;a{,}g:

n = stream.findByName("filter", None)
v = n.getPropertyValue("name")

`-w

ZIE>`FP,create |nCZ4(BZc,}g:

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

Z Python E>`FP,w_P`V4(ZcD=(,}g:

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

ZIE>`FP,connect |nCZ4(Zc.dD4S,}g:

connect ^agg to ^select

Z Python E>`FP,link =(CZ4(Zc.dD4S,}g:

stream.link(agg, select)

ZIE>`FP,disconnect |nCZ}%Zc.dD4S,}g:
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disconnect ^agg from ^select

Z Python E>`FP,unlink =(CZ}%Zc.dD4S,}g:

stream.unlink(agg, select)

ZIE>`FP,position |nCZ+ZcEZw-<Ord{Zc.d,}g:

position ^agg at 256 256
position ^agg between ^myselect and ^mydistinct

Z Python E>`FP,(}9C=V;,D=((setXYPosition M setPositionBetween),IT5V,;

a{#}g:

agg.setXYPosition(256, 256)
agg.setPositionBetween(myselect, mydistinct)

ZcYw

IBM SPSS Modeler P;)#CDZcYw|nZ Python E>`FP_PH'|n#bITozz+VP SPSS

Modeler IE>*;* Python E>,TcZ IBM SPSS Modeler 16 P9C#

m 219. ZcYwDIE>`F= Python E>`FD3d.

IE>`F Python E>`F

create nodespec at x y stream.create(type, name)
stream.createAt(type, name, x, y)
stream.createBetween(type, name, preNode, postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.link(fromNode, toNode)

delete node stream.delete(node)

disable node stream.setEnabled(node, False)

enable node stream.setEnabled(node, True)

disconnect fromNode from toNode stream.unlink(fromNode, toNode)
stream.disconnect(node)

duplicate node node.duplicate()

execute node stream.runSelected(nodes, results)
stream.runAll(results)

flush node node.flushCache()

position node at x y node.setXYPosition(x, y)

position node between node1 and node2 node.setPositionBetween(node1, node2)

rename node as name node.setLabel(name)

-7

ZIE>`FP,w*'VBP=V-7!n:

v F}-7,ZK-7P,Bjd?Z=v{}6'.dxPF/#

v rP-7,K-7T5rPxPiz,Tc+105s(=-7d?#

TBE>GIE>`FPDF}-7>}:

for i from 1 to 10
println ^i

endfor
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TBE>GIE>`FPDrP-7>}:

var items
set items = [a b c d]

for i in items
println ^i
endfor

mb,9IT9Cd{`MD-7:

v T#M!CePD#Mrdv!CePDdv4P|z#

v T+kr+vZcDVN4P|z#

Python E>`F9'Vd{`MD-7#TBE>G Python E>`FPDF}-7>}:

i = 1
while i <= 10:
print i
i += 1

TBE>G Python E>`FPDrP-7>}:

items = ["a", "b", "c", "d"]
for i in items:
print i

rP-7G#in,"RZk IBM SPSS Modeler API =(aOs,K-7I'V`vE>`FC}#TB>

}T>gN9C Python E>`FPDrP-7T+vZcDVN4P|z:

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel().columnIterator():
print column.getColumnName()

4Pw

4PwD}LP,zID#MrdvTs+mS=dP;vTs\mwP#ZIE>`FP,E>XkZTs

\mwPR=9(Ts,r_SzIdvDZcCJnBzIDdv#

Z Python P,4PwD}LPy;,:4PzIDNN#Mrdv+T+]=4P/}DPmN=5X#b9

CIT|SaIXCJw4Pa{#

IE>`F'VBP}Vw4P|n:

v execute_all,CZ4PwPDyPI4PUKZc#

v execute_script,CZ4PwE>(kE>4PDhC^X)#

v execute node,CZ4P8(DZc#

Python E>`F'V;i`FD/}:

v stream.runAll(results-list),CZ4PwPDyPI4PUKZc#

v stream.runScript(results-list),CZ4PwE>(kE>4PDhC^X)#

v stream.runSelected(node-array, results-list),CZ4ZcDa)3r4P8(D;iZc#

v node.run(results-list),CZ4P8(DZc#

ZIE>P,IT9CxPI!{}zkD exit |n4U9w4P,}g:

exit 1
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Z Python E>`FP,9CTBE>I5V,;a{:

modeler.script.exit(1)

(}D~53Mf"bCJTs

ZIE>`FP,zIT9C open |nr*VPw"#MrdvTs,}g:

var sset s = open stream "c:/my streams/modeling.str"

Z Python E>`FP,fZ;vISa0xPCJD TaskRunner `,"Rbv`ICZ4P`FDNq,

}g:

taskrunner = modeler.script.session().getTaskRunner()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

ZIE>`FP,*#fTs,zIT9C save |n,}g:

save stream s as "c:/my streams/new_modeling.str"

H'D Python E>=(+9C TaskRunner `,}g:

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

yZ IBM SPSS Collaboration and Deployment Services Repository DYwZIE>`FP(} retrieve M

store |n\'V,}g:

var sset s = retrieve stream "/my repository folder/my_stream.str"
store stream ^s as "/my repository folder/my_stream_copy.str"

Z Python E>`FP,IT(}ka0X*Df"bTs4CJH'&\,}g:

session = modeler.script.session()
repo = session.getRepository()
s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

":f"bCJ*s9CP'f"b,STa0xPKdC#

wYw

IBM SPSS Modeler P;)#CDwYw|nZ Python E>`FP_PH'|n#bITozz+VP SPSS

Modeler IE>*;* Python E>,TcZ IBM SPSS Modeler 16 P9C#

m 220. wYwDIE>`F= Python E>`FD3d.

IE>`F Python E>`F

create stream DEFAULT_FILENAME taskrunner.createStream(name, autoConnect, autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream ^H'n

load stream path ^H'n

open stream path taskrunner.openStreamFromFile(path, autoManage)

save stream as path taskrunner.saveStreamToFile(stream, path)

retreive stream path repository.retreiveStream(path, version, label,

autoManage)

store stream as path repository.storeStream(stream, path, label)
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#MYw

IBM SPSS Modeler P;)#CD#MYw|nZ Python E>`FP_PH'|n#bITozz+VP SPSS

Modeler IE>*;* Python E>,TcZ IBM SPSS Modeler 16 P9C#

m 221. #MYwDIE>`F= Python E>`FD3d.

IE>`F Python E>`F

open model path taskrunner.openModelFromFile(path, autoManage)

save model as path taskrunner.saveModelToFile(model, path)

retrieve model path repository.retrieveModel(path, version, label,

autoManage)

store model as path repository.storeModel(model, path, label)

D5dvYw

IBM SPSS Modeler P;)#CDD5dvYw|nZ Python E>`FP_PH'|n#bITozz+V

P SPSS Modeler IE>*;* Python E>,TcZ IBM SPSS Modeler 16 P9C#

m 222. D5dvYwDIE>`F= Python E>`FD3d.

IE>`F Python E>`F

open output path taskrunner.openDocumentFromFile(path, autoManage)

save output as path taskrunner.saveDocumentToFile(output, path)

retrieve output path repository.retrieveDocument(path, version, label,

autoManage)

store output as path repository.storeDocument(output, path, label)

IE>`Fk Python E>`F.dDd{nl
IE>a)T&m IBM SPSS Modeler $LD'V# Python E>`F10;a)K'V#

IE>`Fa)K3V0k4,Ts(wM#MDiO)D'V#IBM SPSS Modeler 8.0 sDf>;Fv9C

4,Ts# Python E>`F;'V4,Ts#

Python E>`Fa)KBP=S&\,IE>`FP4a)b)&\:

v `M/}(e

v ms&m

v |4SDdk/dv'V

v b?#iMZ}=#i
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