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FO, HRT 4 =)V ROMNEGATH 25E). A7 a  I3E\ENTHR0ET,

FIFINERTIE. 1| OEZETRTOYZ T AIED LT, BEAZHELILET, BERSZ7 5« INIVITER
HEMEOEAZIBET DI EICES T, PIVAY ZANEED Y I AD¥E Y NMTEAZMT DL HEE
LET,

HAZEBTZICE, [HA] FITEETLIELEZY TN Uy I L, BEIECTEELET,
. FRT 4 =)V FOAIRERMENSIRELZ, 7 I A IN)LDEY b,

A, FEDV T ATHDYETENDEHL, KEREAHAEZV TATHDE TS L, EFIIE, oy T AL
HARTZD 7 I 20T U THURICR D 7,

Netezza K-Means
K-Means / — R, 7 7 AY =D K EZERAET D kmeans 7TV A LEEFLET, 2O/ — K%
FHLT, =% -y b2 =TIV TAY—LTELT,

T TV XLZEEEHCHEED < V)L TY XLT, HEEA MY v o B9 ITKEFEL TT—% - "1 > MO
PHEZHELET, T—F « R 2 ME EHTDEHEA Y v 71> THRBIEWY FAF —IZEIDHT
5NET,

TIVTY ZLE, FUEATOCAZMENIET D LK TEITLET, FEA A > AdEmdbik
W7 I 25 —ICHID S THNET (FHESNHEMBERICEL TR, 1 >AY ALY T ALY —FLITHEH
ENET), IRTOIITAY =L, FEDI TAY—IZHD LG ToNeA 2 AT 2 AD N EMEED

N7 MVELTHFRENET,

Netezza K-means D7 4 —JVK - FF> 3>
(T4 —IVR] T T, ERO/—FRTITTIIEREINTWVWDE T 4 — )L ROBEEREZLEHT S0, FEHT
T4 = ROED Y TEFI NEBIRLET.

EHRFADORBZMEH., LROT—FR ) —F (FEREBLROAT /) — RO [F—=F8| ¥7) O
EONR, FHRE) ZHHLET,

HAAZ L T4 =)V FEID S TO/MM: ZOBEETHR, Tl BRUOTOMOKREZTFEHTEHO L TLH
G, ZOF T a P EBRRLET,

T4 —=IVE: EFINVOHTEIZ, AT 4 —)V ROMBETTH EDEIEITHOEE S 2T 502 EL
F9., RAIRY > 2FHAL T, 20U X NOHEAZBEAMO S FIE2%E T +—)V RICFETED YT
F9, 71aE. EEET =)V ROBENZHEOREEZRLET,

TRT) AY>EI VYL TURANADTRTOT =)V RER T 20, SUEDREDRY > %
ZUw I LT, TOMEDREDTRTDT 4 =)V REFERL LT

Vd—F ID] , —EOLI—R ID LLTHEHASINS 7 4 —IL R,
FHME (AJD: 1 DFEREZEBRO 74—V RZFHOANTELTEIRL ET,
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Netezza K-Means D{EpkA T3 - 497
VERSA 72 a2 ETHIEICLD, ARICEDETETIDIEKRZHAYYA A TEET,

TIHIbE - AT a EERALTETIVEERT 25681, (971 22Uy LET,

HEEREE, ZONTA—F =13, T—% - FA > NEOHEBEOHEE HikEER L ET, HEEENKE< RS

s IERESRESRDET, LFOWTNNOA T a 2 E2RRLET,

e A—2Uw R: 2—27YUy RHIEIZ 2 DOF7—% - KA > NEOEMRERE T,

o FH{tL—2Y v F (Normalized Euclidean). [FH¥{t1—27 U v REIEIZZ—2 U w REIEIZHELIL T
WETN, FAHREERZEZICE > TERbaNET, 2—27 Uy FllE & 3EZ 2D, EFlbI—27U v R
HEFIAT—IAZETHH D ET,

* Mahalanobis. Mahalanobis HiEIL. AN T —% ODHEAZZRICANZ—KILL—27 Uy REETY, IE
FAb1—2 U v REIE & FEELIZ. Mahalanobis HIEIX A7 — VAL T,

¢ Manhattan, Manhattan #H7EX 2 DDOT—% « "1 > NEOEBET, T35 OPEEEM OHERTEERED &5
ELTEREENET,

+ Canberra, Canberra JIEld Manhattan HIE I TWETA, FHAIEWT—4 « RA > MIHLTED
EENE<ZRDET,

o R, BRKHEIEIT. 2 DOT—% - RA 2 NEIOERET, BEDRXITIZIR > 7225 OHEDRKME &
LTEHEENET,

DIAT—DE : TONTA—=F =L, fFkT 50 T2 —DHEEERELET,

RAKER: 7T XLNETTELREORKEL., 7IVTU AAE. RC7ot Az EMNEL E
T, TONTA—=F =L, ETINO¥EEEEILTHRIONEREERL LT,
HotE, CONTA—F =L, ETINICHFENLIHE0EEEELET. UToWwWTnhot 7 a >z
WLET,
o [FTRTI ., FNBHHEL =T XRTCOFE EMEICEHHEL 2T R TOMEINEENE T,
H: TONRTA—F—2FHT2EHFDODBRRBNEEND D, PATLDNT 53— 2 AITEET S
BENHOET, ETINET T T4 WIIVERTERLIZVWEAIL. TRL) Z2lRELET,
o IHI . FNCBEHEL et EENE T,
o JRU: BEFIINDOAATY DT ITHERKETOANEENT T,

MORZHEBL: S5 L D RERELTONMEERTIHEAE, ZO0Foyr - Ry 7 AZERL X,
BEZEET M. THEK 220y U TEBROSBELEZERL 7

Netezza Naive Bayes

Naive Bayes &, 7 FHOMEICHIET 2F 4T IVTY XL T, FERINZTRTOTHIZEEIIHAITEK
HFRERNENHDELTUEEINDE DT, EFT IV naive EINET, Naive Bayes [JILERIED H S &
HOTINTYZXLTHD, EROEMEERGEEDOHAGOEITH L T, RFICEET HHEREZFHEL X
T FHT—0S, FENOHRNFEINET, FANEROKEHT I —25tHEMET2HE, 20D
MERIIERR T T ADHERERLET,
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Netezza XA X - Xy b7 —2

Bayesian Network 3. T T, T—F vy NOEEBIRENS O OMERP), FI3L0 M S ME
MFERINE T, Netezza Bayes Net / — RZfHT 2 &, B NZBERBIOREINERE
w EVWDEBEOARMZMABTOE S I IR THRET N ZMERL. KRITIZ) > 7 L TwianhElt
AL TRAEDLEEZHLTEET,

Netezza Bayes XYy F7—0 D74 —=IVR - F T3>
[T 4=V K] T T, LD/ — RTTTEERESNT NS T 4 —)L ROBEBREEHERT 27, FHT
T4 =)L ROED L TEFSMERIRLET,

IO/ —FOHE, AR T4 =)V REFAAT7Y T DEDIIOABETTOT, TOF TITFRRINEE
o ZTD/—RD TETNVOFTa>) 7T, £BFETNFT Y b [3E] 7T, 7—F8 ) —
RETHSREREERLIZEETLHIENTEET, FL<IE, FEYZ[110 X—2D [Netezza Bayes Nef
(7w b - T5%@E 71 EsBLTIEIN,

EHRFAOREZMHEH. LROT—F8 ) —F (FLEBLEROAN/ —RD [F—=F8| ¥7) O
E R, THRE) 2L ET,

HAZ L - T4 =)V FEOLSTOMMH: ZOEETHR, FHl. BIXOAZOMOEE % FEHTE DN TSY
B, IOF T aEBERLET,

T4 IV R BEFIIVOHEEIC. AN T 4 =)V ROMBITH EBER D EITHO LB 5 21T 202 HE L
£9. RHRY CZ2FEHL T, COUAMOHBZEHAROS FEEBEET + —)L RICFEHTHDHT
£9. Y1 aAE BEET =V ROARZREDOREEZRLET.

TRT) AY2EV VYL TURAMADTRTOT =)V RZRIRT 20, FUEDOREDRY > %
70w 27 LT, TOPEDREDTNTOT 4 =)V RZ#ERL X7,

TR (AN): 1 DERLRBEEDT 4 =)V RZ2TFHUDOANELTHERRLXT,

Netezza Bayes v N7 —O DA T a3 >

WERRA T2 a>) 7T, ETIVEBETLIRTOFT T a 2R ELET. bbAA. TEf7] K
HZ2EIVITEHE, TRTT I3V - F T2 a P OERTIVIEBEINE TN, @EIL. ThEthoH
K TIERRZ N AT XA X 20BN H D T,

N=R ATy T A: BEEEHN T3, KOEHEZNBERORIOREE (AN7 44—V R) ITHDHT
51%,

YOI AR BHEOENEL <, EFICEVWIEMEZSIESEZT I ENH LG ICHEAI NG Y >
oY1 X,

FITRFBMOEHRZEFR: ORIV AEFICT5E (T 7)), BIERNA Y- F17 0
TRy ATEREINET,
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Netezza B3R5I

BpRAZ. BHOMMPEEOERT 47 E, Hiid 5 (W7 LHIER T FETlleE L 7- ET
—HED—H AT, HAREEME GROERLNY—2) BREOfTEZBFALZD., BEOESLN ST
kDfTENE THITAIEEREIC. TOLEIRT—Y DI ILE T,

Netezza i RFIE. ROFERFITY )T X LEHHR—FLET,
o AR NVEEKT

- fEECEE

o HCERIFEFZHENEY (ARIMA)

o FHIBE RS

INS5OT7IAY ZAE, RV ZEMESGHRICHELET, TRIEHATEL2ETIINERET LD
2. NS5O R—%2 MBS LET,

ANRYT BIVIEHT 2 U CRER SO E RS BE 2500 L X9 . BRI &I THRR S NIRRT 055
B, FRBHSEDT T L A XTI NITHFET 258, AT MUVEINCZED., &b SNIE
B2 R—% D FERETHIENTELEDICRVET, ZOFKITKD, FRERKERD RNk
BN S ) =X/ 22 LIk -> T @B OEERZRBRE L £7,

fRECERLIE. FTORRIIOBIRFRICEAFT SN2 @ H L TREROEZ FRIT 2 HETY . H8CF
BICR D, BHE OB BB 725 I TR OREIEICHE > THES 2D £T, ZDOAY v Rid, #Hil
WTF—=FMWA>TL 2 ZEITTHZRE, ToBEM Wi, FHEEZEZEL. —EITIDORT > & TH
bi—a—o

ARIMA 7). FEECERIEET IV XK DB S N2 G THAB KOFEHEO D > R—% > b 2ET Y ~
JUET., ZiUud, ZROBEELFEKICHCHIRBIUOBEFHOIEFZHRL THET 2 I & EREHL &
—g‘ﬂ

o EBRE T, BET S50 OBELIEIRED Web X—=2 Dby MUR ETHRO—HOMEE
AT 5 ETHED TPHEZ SO 585813, ARIMA EFIUNROEHTY, BEEELET VL. HE
PHEAEOHBZEFEL X5 E LW T, FERIIOHESHAmZRLERL X9

FEIREIRME T, BT 2 ET T 572012, FERFID S OEMBEEZHIR L, —RBEKRED b
L2 ROEARNZBIREENL KT, N5 OEANIZIRIE, EAREDV "RE (DD, KRS
DL EEREDE) ZHR/METEIEDITRESINS S XIS ERNTA—F—NHD X7,

Netezza BF% %I DED#H R
ML BRI —YOREBEOHEBICHFEAO IO ATT,

B2 A ORIRANE T, WS DMDOENEFEELE WSS, RIBEITBREEEZHNWTHET D2 ENTE
F9, BETOHBHORERIIOVWTEZTAETL LD,

K12, ZEHY — 3 FIL D H HFIHAE#

A RE

3 3,500,000
4 3,900,000
5

6 3,400,000
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F 12, ZEHY — I IV HIFIHES ()

H %

7 4,500,000
8 3,900,000
9 5,800,000
10 6,000,000

COHE., BIEGEIZA 5 OXRIEEZ 3,650,000 (H 4 &H 6 OIS EHELET,

AE SRS O HETUR ENE T, KT, REFHAMDITDOVWTEATAEL &L D,
X 13, I A0

HAF F ] i
2011-07-24 7:00 57
2011-07-24 14:00 75
2011-07-24 21:00 72
2011-07-25 7:15 59
2011-07-25 14:00 77
2011-07-25 20:55 74
2011-07-27 7:00 60
2011-07-27 14:00 78
2011-07-27 22:00 74

ZITW 3 HHT 3 DORA > FOHRAWMOERD D EITHN, SEIXEARHET. T0S5DNL< DR
ZONEHEEOMTIETY., £/, BHDOS 5 2 HETNER L £7.

ZORMIL, EEOFHE, ATy T - A XOREDODNT NN D HIETUHTEET,

T—HEENE, T DERIERICE DOV > TRHRSNABHOESFI T, ZHUTKD, RDEK
STy FIERENET,

& 14. idEg AR D (&t

HF S| Tt JE£
2011-07-24 24:00 69
2011-07-25 24:00 71
2011-07-26 24:00 )V
2011-07-27 24:00 72

F/2, ZOT7INAY ALE. BEBDERVNERLEDZHEDELTHRYD, BYRATY T « YA X2 RETHT
EMTEXET, ZOBRE, VINITYXLCES THRESNZATY 7« 1 R 8 BrfiE20, KDLD
Iz £9,

K15 AT T« A XEFHELZIREDZAIKD

HAF IF [ T

2011-07-24 6:00
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K15 A7 7 YA XEFELLREDHAIRD (HF)

HAF F ] T
2011-07-24 14:00 75
2011-07-24 22:00

2011-07-25 6:00

2011-07-25 14:00 77
2011-07-25 22:00

2011-07-26 6:00

2011-07-26 14:00

2011-07-26 22:00

2011-07-27 6:00

2011-07-27 14:00 78
2011-07-27 22:00 74

T 2Tl ADDORIEMEZFN, TEOBREITKIEL TWETH, TTORRFNOMOIEIZ XL > T, RIBENH
EHEICE0HETEL DT ET,

Netezza BsRF 74 —IVK - AT 3>
(T4 —IVR] ¥TT, V=R T—FDANTT 4 =)V ROEEEZIETELET,

T4 —IVE: EFTIVOHEEIS, AT 14—V ROMBIFTH E BN BATHO EE S 2T 20 Z4HE L
F9. RERY CZ2FEHL T, COUAMOHBZEEAROS FEEBEE T+ —)V RICFEHTHDHT
£9, Y1 AUE BERET = ROFRRREDOREEZRLET.

MR WREERLET, 1 DOT 44—V RZTHIONRELTERLET, RENEGEO T 4 —)L R
ThaTEzo £8 A,

(PR Kiri: (A RERVNO BN ERITRLOMEEZOANT T 4 —IVE, 2O 7 10—V R, #HIED
RENEGREZIIHTT) BT 0 —)V R, BEXOAR, B, Y1040« A5 > 7. FEEEOT—
e AL =2« AATEBETHDHENDDET, ZITHELEZITL—IVERDODT—% « A L —2 ¥
A7, ZOEFY T - J—ROMDY T T DONDT 4 =)L ROANY A THEFELXT,

(PHfE) BRH5] ID: FiR% ID 2887 0 — IV R, ANCEBEORRIINGENDLEICTHERALET,
Netezza B RIIBEA T 3

WEA T2 a i 2 2OV H D ET,

o AR - IO XLDER, FHE. FHTHREMOHEORE

. mE - THIORK
Ot a TR, BAA T a CDOWTHHALET,

WERRA T2 a2 7T, BETIVEBETLZIXRTOLT T a 2R ELET. bbAA. TEf7l K
2w ld5E, IRTT T4 - AT aOETINABEINETN, @I ZNThoH
I TIERRE I AT XA X H0ENRH D XY,

V@12« I WA
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INBI, FHITZERATIVITY XZAICEET HHETT .

TIVIAY AL %: HHATBEERANTIVT) A LZRIRLET, FAREERT7ILTY XA, TAXRY BIVIR
Bl . THRECEWRIL] (T 7x)Vb). TARIMAL . £7213 TZEEAERSHE T3, FHL<IE hE
w7109 X—=2 D [Netezza K251 [EBRL T 7ZEX 0,

n: FEECERIEDOA) KERFIOMHEA 2RI HEE, BaEECHE Ei@EdicEZranEth. 2074
—IVRZEMEHL THEARSUIHEL, 7IIVIY ZLNZOHAEEZEETELLIITLET,

c WEIATL: (TI7HIVE) PATAIR, TONTA—F—DiEEZ RDOFLS>ELET.
o 72U (N): RERANIMEMZRL £H A,

o HME (A): FRZ 0T THEEITHEMT S M,

o PWEHNMBDA): BIANTHET DB E R,

o FFEMIM): ZE U2 FMmeEm & 0 @EE < R E R CHEind % @,

o PWEFILENDOM): BAEMITHET D FENMERL,

ZHitk: GEECERIED A KRHIT —F OFHINY — 2 2RI NEIMEET HIE. 2074 —)LR%ZE

FHALET.

c WEIATL: (TI7HIVE) PATAIR, TONTA—F—DiEEZ RDOFLO>ELET.

o 12U (N): ReRFNIZFHIAY/NY — 2 2R £H A,

o HIMM (A): ZEEEHO/NY — 03, FEENMNTTEERLZ EREANEZRLET,

o FIEMOM): AR E R 72720 S SICEEHEBOROIE R & RKAF O NEEHD
RO AT L £9,

ARIMA DY AT LRET AT L% iH: (ARIMA OH) ARIMA 7))L 3 YU XLDFRE & RE L2 WHE,
ZDF T a a@ERLUET,

fB8E : (ARIMA OH&) ARIMA REE=FETIHETDHE. 04T a Z2RBRLTHRY 27U
LE9,

i

BRF) — 2« F— 5 I RIBED S 55, HEHEHAT S HEERNL T, T OREEMD ET,

HL<IE. Ry POR—DD TNeterza BRSIOBOMMEI FBRL T 2 a0,

. BB HMRFIOBESEAITSH 275 W< ODDENEIELBWEE, COHEERRLET,

c BRAT SV BODBH— T EHEADOT—4 « BA > MASEVHE TREINE 2 2T B BCES
THET,

« SRATSA Y BODBA—TEHEAOT—4 - B2 MOEE S, RIBMEHEELET.

Wy ] e ]

2T BRFIORERT—5 O, XL3TOF—FOHGELES Ty FEEAL TETFIVEER

THMEIMERINTEET, TNHDT 4 =V ROFHZANE. 74—V ] #T0 T THE

ENFZT4—)VRDF—% « ARL—2 « ¥4 FICE> TERSNET, FL<IE FEv 7101 =

[D TNetezza Fi%4517 4 —)V R - AT a ) |aBBLTIEI N,

o F—F TuRERED RO R ONRbEVHZH: BRIT—5 0O2KOHMELRT 58, 20
F7a ERRLET,
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o BB RE: BRI —Y O—EEZ T2 AT A, 04T a  EBERLET, [EdE0LER
BAE)) & TRBEWERE & 7)) 74— IVRZHHL CERZHEELEXT,

ARIMA #1885

ARIMA EF)L O 2IEEEHNB LORHMELEOHEEIEELET, TNENOBREGICBNT, HET
= LW 0T <= BT ICRELT, BET2 70—V RICEZIEELET. TRTOMEIL. BE
FRTATHNERICT ARERH D ET,

M EFI)L O L RIEFHITEEROM,

- HCHBIE p). TIINVHNOHCEIFOXREOEME T, ACEROXEL. RINOMHHT 5iEBEOMH
ZIREL. BEOMHZTFHLET., fAE HCRBEORXREK 2 13, BEOHEZ FHIT 572D RFOME
ZimEo 2 MEERTHESICHEEL £,

o BEH d). ETIINEHETHRNCRINCGEHA SN ZDDOREEEELET, L2 ROFEETIHE
WEEDERDLENDD (ML > ROBERET HRINLEEIEEHETDH D, ARIMA ETIVITE R 2 /i
RELTWD), TOMRZWMOBRS ZDITVWET, Z00REKE. RO KL > ROXREITHHIEL T
WET (1 REDMIFERNL > RZEEREL, 2 KESITL 2 KL RZEET, 2E),

< BETYE (9. ETIIVNOBEITHOREORME. BEITHOREIT, BEDOMED R ORFAED.
BEDMEZ TRITH720ICEDQRSITHA S NS NEHREL £T. FIAE BEITFHORE 1 BERU 2
. RANOBEDEZ THIT2BICHEAD 2 MIMOZTNZNn 5 HUG LRSI OFEIEDOIRAEZEZE KT
LT EEEELERT,

Zitk: FEEECHRBE (SP). EH (SD). BEIFEY (SQ) DOEFEIL. IEFHIMED NS DEFHE L[ UEE
ERELET, 2L, FEHREICOWTIE, HEDORSIEIZ 1 DU EOEHHIE TR s NziBED R
FIEICEEINET, FIRIE. AT —% GEHHH 12) IZOWTIE., FERK 113, BEORSIMHEIZ
BHEOWMEI D 12 MMUMORIMEICL D EEINDE ZLE2BERLTVRET, BADT—FIZDNWT, F
HiRE 1 1E, FEREIRE 12 ZHEETAHOEFUC I EITRDET,

ZEMEOREIL. FHEMENT - TRIESNZEE, £/203 (88 ¥ 70 THIR) REZEELZEAIC
DHEBINET,

Netezza BRINIEEA T a3 - HMlRTE
M EEZFHLT, PHIOA T a 2iBETEET,

ETFIVEEF T a VDI AT LAPED AT LEHA: FFMEGECRET DHE. 04T a P EERL
ij‘c

B : FHlA 7> a 2 FETIRETDIHEICIOA T a b ERIRLET, (P XLWAXRT Ml

T DLGE. ZOA T a VIFERNTTY)

o SO QBT FERFI ORI EENKE T DM, FlA1E. HEEEREORF RN ONWT,
MIC 1 Z2f&E L. B DA Z28E L Ed. W Zd. ATIEBRWERZIRET 2 0ENH D X
T, THIMO#EA k. TIUR . TR . T4 . TEEREL . THI . TEy . Tusk) |
ME] OWTNNZEIFEELET, B 2RESINTVDBEE. FBEOY A1 THETRWEEIZ
MHBOHN) ZIEELARNWTLEIWN, 22, HlE) z2EEd 2846, THBOHEM ZfHEE
THRENRDD LT,

TRORE: FFEDOKRET, XRIIFEDORHFRTOTPHZITO I LZBIRTEXT, TNH5DT7 4 —I)LR
DEMIBAINE. 74—V 70 KRl THRESINZT4—IVROFT—% - AL —2 - AT
LoTEHZINT T, FHLE. FEwZ[101 R=2 D Netezza FiRS T 4 —)LR - AT a ) &%
BLTEIN,
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o PHEOBER : PHIOK THRA L FPOEZBETLHEG., 0472 a Z2BRLET, THIIEZ O
RETHTONET,

o PR : PRIZTD | DEEBERORAEZEET 23, ZoF T g EERLET. THE
27Uy LT, BROT=TINTHLWTZEBML X9, fT2HIRT 2121, fT2ZRL T THIBR]
27U LET,

Netezza BRIIDETIV - AT 3>

(BT - AT a] ¥TT. ETINVOAFIZEIRET S0, HEINICARTZERT 2N ERINTEET,
ETFIVHIOF T a>OF I3 MiZRETHIEDHTELT,

ETFNWH. YTy hERIFTID 74—V R (FORENLZVWEEIZTETIV YA 7)) ITEDODWTETIVA
2R, FRENAY LGLERETDHENTEET,

AAT7Y T TEDEXDICTS, TN - F7y bOYAT7TRTICERSINDZAATI T - F T

a DT I HIVMEERETEET,

s WHICHZOMEZEDD: TIHIIRTIE, EFIVHEAICEEDOT =l (FENER SN 13E %
NEFA. ITNEDEZEDHIEZOF IRy T AZF I LUET,

o FEBICHIBMEZEDS: HOICBEDEZED D EBIRLZEE. MEENAHNIEEDDEZIXTDORY
JAEF AT LET, MEIBEOT —FICOAEEET 5720, THRBIBEOMZED D] MNERS
NTURVWEAEZORY 7 23EH T, #L<1d. FNEY 2o R=TD TNetezza RSN DE D
[l JesRL T EE0,

Netezza TwoStep

TwoStep / — Rid. KT —%ty NMTboTT—%%20 I A5 T 5 HEERHET S TwoStep 7)1
T XLERELET,

ZO/—REMHT2E, EATTREZY Y —Z BAE. A'Y—CRHOHK) 2Z8 LRSS, 7%
2l IATETEXT,

TwoStep 7LV XLE. ROBETT—F %27 FTAINTET—IR—A XA =27 TIVIAUXLT

ER

1. 79 AXHERE (CF) W —MMERESNET, ZONT > RITENZY Y =3, BLEUOANL I— RAE
CV— J—RO—ERBLIWEY TAZ) 2 TDdDYT T AT EEEERML £,

2. CF VU —QHEX, I IAYY T ORREERT H-DIC AT —NTHEEWIZY 5 A5
9. VIAY OEGHEBEIIHEMICRESNET, 7 I AYDORAEEIRET 256, HE S /=
RND T T A5 DEETIREDIRE S NET,

3. 75 AYY T OFERIE, K-Means 7))LV AYU ZAZRZ7 I AU ZANT—FIZTHEHAEINS 2 HHOD
ATy T THEINET,

Netezza TwoStep 74 —JVR - F 73>
T4 —=IVR 72 az2HETHEICLD. ER/ —RTEREINTWD T 4 — )V ROKEORE %R
TTCEET, 74— J)VREOYTEZFEFTITHIIEDTEET,

HHOER, LROT =58 — REREBEROANT /) — RO 15=58] 5T OREREZHT 21
. ZoFTa ERRLET., RERER, FATHRCTHTY,
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HAZ L - T4 =)V BB Y TOMH: 5. Tl BEOZOMOBEZFETEO L THHEE, 204
Tra ERRLET,

T4 —IVER: EFTIVOHEEIC, A7 14—V ROMBIFTH E D BITHO ES S 2T 20 Z24EE L
X9, RHIZHEHAL T, COUAMDHAZAMOKRE T 4 =)V RICFEHTEHOL TS, Y1a2id, &
BEI T 4 =V ROANZHEDOREZRL LT,

Vad—FID] ., —BEOLd—R ID ELTHEHENS 70—V K,

FHE (AJD: 1 DFERBEEO 7 4 —IVREZFHOANEL TEIRL ET,

Netezza TwoStep {ERkA 7T a >
ERRA 7> a 2R ETHZEICKD, HRICEDETETIVOIERZ I A YA ATEET,

TIHIE - F T a EERHLTETIVEERT 256813, (91 220y LET,

PHEERIE, ZONT A= —F, T—4 « B A1 > NMEOEBEORNE HikZERL X, EEENREL/S

& FBPEDRERVDET., UTFOF T2 a b £7,

o MBOLE. COREMEICED, BEOMRMMGERD T, dHEARIIERIMIL THDHO EE
U 530V —ZBERBZEMMLTHWL2 DD EREL T, IRTOEBIMIL TNWEHDEEL
£9.

e A—2Uw R: 21—y RHIEILX. 2 DOF—% « RA1 2 MNEOERERTI,

o IEBEL—2YU v F (Normalized Euclidean), E{b1—27 Vv REIEIZI—2 V) v REIEITEPLIL T
WETN, SEHERFEEIZE > TIEFR{bEINET, 2—27 Uy REEEIZRZZD, EHb2—27)w R
WEFIAT—=IAZETHH DT,

IR, TDOINT A= —1F, ERT D7 FIAY—DEEEXRLET., UFDOF T2 a b £7,
o SRR EHBMNICEHE, 7S AYOENEIHMICHESINET, MKl 74— IV R TREAYZ X
FEERETEET,

« VIR BENE. 1FRT 27 TAY ODREREL X7,

Hati. CONITA—F =T, ETINVCEENLHETOREERLET. UFOF T aBNdbDxT,

o TFRTy . FNCBEL TR TOMG EMEICBEEL 2T R TOMFNEENE T,
H: TONTA—F—ZFHT L EMETOBRRBNZTENDZD, PATLDNT =X P AITHET S
BENHOET, ETINET T T WNVERTERLABAWESIE. TRU) Z2HEELET,

o THI . FNCBEL 2N EENET,

e BU: EFTNDORAATY 2 TITHBEIRHETOANEENET,

MRZHEBL: S5 L - RERELTONMEERTIHERE,. ZO0Foyr - Ry 7 AZERLET,
BEZEET M. THEK 22U v 7 U TEBROSBELEZERL X7

Netezza PCA

TR (PCA) 13, T—Y OEMS ZBT D7-0IC&E S N=m bz T — YRR T, AT 74
— )V ROBMAGEEMBRBEINE T, RONAEWVITERTS F#EBELAWL) HEIC, 70—V ROty M2k
DB EERTDDITHENDBET, EBHDOFETH, TDANTT 4 —IVR - v FOBERZEZNEITER
I HVEOIRET 4 —IV R (FERD) OBHENEETTY,
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(74— K| #TT LRD ) — RCFTRERINTND T 4 —)L ROLBEZREEERT 0. FHT
T 4=V ROED S TEFINERIRLET,

EHRFAOREZMEH. LROT—F8 /) —F (FLEBLEROAN/ —RD [F=F8| ¥7) O
E R, THIRE) Z2EHL XY,

HAZ L+ T4 —=IVREOYTOMEH: ZOHEETHR, FHl, BXRZOMOKE ZTFEHTE DY TS
B, ZOF T a EERLET,

T4 —IVER: EFTIVOHEEIZ, AT 4 =)V ROMBIFTH LI BITHOES S 2T 20 Z4EE L
£9. KRERY CZ2FEHLT, ZOUAMOHBZEMEAMOS FEEBEET + —)L RICFEHTHDOHT
£9. Y1 AE BRET = ROFRERMEDOREEZRLET.

[TART] RYZET7YUY I L TUARMNDITRTOT =)V RZERT L0, REIEOREORY > %
7w 7 LT, TOHEDREDTRTODT 4 —)L REBRLET,

Vd—FID] ., —EOLI—R ID &LTHEHENE 74—V K,

FHME (AJD: 1 DFEREBEEO 74—V RZTFHOANEL TEIRL ET,

Netezza PCA ERkA 7 3>

WER A 72 a>) 7T, ETINEBETLIIRTCOF T azRELET, bbAA. %1l R
BRI ITEE, TRTTFIHIVE « FT 23 OEFIVAEEINT TN, BFIL. ThEThoH
HITIERRZ I A <X A XTH0ENHD FT,

PCA Z5IRTIHIICT—¥ 2875 (TI7HIVN) ZOF T azFoy s LiEE. SFHiicT
=D A TR (FRF EEEREE] ) 2ETLET, 7% - 225U 2713 H 1 ERHN
RARDED S M ZFLIRT D T EZRET HDITHETT, D TRWES. KON T—4% OFEEEICED
BREICHIGLTWBEENHDET, T—INTTICZIOHETHEINTVWBES, @ENT7+r—< &
DR EDEDIEFICIDF T a o 2E\HITLET,

PCA ZHTBHIICT— YDA =Y VT 2HTT5: ZOF T aid. DHeicT—Y DA —Y >
TEITVWET, 5952 &ET. HIOERENBERLIEMTHEIND EE. PN REBERNTRVWEDICLE
T, RbHMAEROT YDA —1 2713, FOERERETCEERHZEZNETE LIk TEBTEE
—a_o

PCA ZiIRTHMENMES B> TR OEERAEZMA: 204 7> a2 id, 7IIVTYU XLRERD &
DO AREIIME<ZD XTI, KO E®#HLAE (forceEigensolve) ZfHT %2 &IT7/82D £7,

IBM Netezza Analytics EFJLDEE

IBM Netezza Analytics E7)L1d, fiid> IBM SPSS Modeler DETIINDEIIZF ¥ ONABIW [£T))V ]
Ny MZEMEN, FEAERUCESICHEHATEEY, &£/Z L. IBM SPSS Modeler H THARK S 11724

IBM Netezza Analytics ETIVIZEBRICIZIT—FR—Z « —=N—LEIZH DI ETINADBRTH 572 ED,

HEBENWPNSDODNDDET, AN —AZELSHEES TSI, ETIMMER S NZT—F X—
AT HHENHVET, T T7—TINENETOEZICKOEEL TIWITEE A,
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A7 Y% IBM Netezza Analytics E7 /b

ETINE, FYONZLETREOETIV - FT Y b TA A TRINET, 77y FOEREMT, T7—
HZAAT) 7L, FHlEER,. £EREETINOTONT 4 —DOFFMA 2 REICT 52T, A3
TiE, Ty ar THBIETAEEDIC, FEY MITF—T I J—REEREL, AN —LDFDT T
FEETTHIELEOTRADZEIICTEHZENTES, 1 DULDOEBMT—% « 74—V ROBERTE
mEnEd., Forarvy—"EEY U —DF A 707 - Ry 7 ZiE, W< DNDF7y hO¥ 170
TRy 7 AZid. SHICETINOHRNERBRZRET S €5V ¥ T0HDET,

BINT7 42—V Rid. W57 4 =)L ROAFNITEMS N/ HEE $<id>- [T TRBIENET., <id> 13T
FINZEK->THERD, BMSINDEROEEZHN L 9., SETIERHTFITONT, TNENOET
Ve FT Yy hONEY 7 THIHINTWET,

27 EFRTHIE. ROFNEEFEITLUET.

. 7—7)WV/—R&EETIV - 7y MTERLET,

2. =7+ /) —REMEEET,

3. T%fr] 227Uvw 2 LEd,

4. TNV 4 O RUOABICAZO—)L L, BMT7 4=V RETNEDAATEFRLET,

Netezza €I - 75y bD TH—/)N\—]1 47

Y—N—] ¥TTIE, ETNVOAATY T —=NOF T a  EZETHIENTEET, LIRICHEE
SN —NOEREENGT S50, ZCTHRELZENOT —IN—ART—YEBHT2IENTEE
-;_0

Netezza DB Y —N—0ifll: 2 2T, EFIWICHEHT 27— I X—ZDOEFEOFMEREL £7

o EROEBEEZHEN: (T 74N TIXR=ZAAN/—RiE, ERO/— RTRELZEROFEMZ
FHRLET., #F: 2O0F T arid, IXRTOER/— R SQL v a Ny I EHHTESHAIC
DBENTT, ZTOHA. SQL MERICTRTCO L/ — REFEET L0, T—IR—AHNDT—%
ERENT AL EIEIH D EH A

s BT AT —HEBI I TLTT—AIR—ACT—H¥EBHLET., T—F¥EBHTHZEITXD,
T—HDHD IBM Netezza T —F XN— A, MOX Y —DFT—IRXR—=2ZH 255G, FRET—IN7T
TR T AINCHILEETHETY DV 2ETTELEDICLET, £/2, /=R SQL F'via
Ny 7 EZFETLTONRBNEDT =M INTWAWES, T—FF 2 THEEINET—IRN—Z
WRINET, BERESRL GRRT 5123, THE Ry 227U w7 LET, FE : IBM Netezza
Analytics |[JEFEIEFICRKRENT—F - Ly FTHEHAINE T, T—FXR—ZA[M. FEET—FIX—AH
M%< DT —F Z179 2 DILIERITIRENNNBIGENH D76, FlEERE D EITS Z &2 BEYD
LET,

ETFI)NWVH. ETINOLAR. COARNTEMNERICERINET., JITHHEAETHI EIFTEER
AJO

Netezza 7423y - YU—-EFI)I:-FFv b

FT4Var-VYU— - EF) - FFy RTIE BFY VIV BEOHhERRL, EFIIVEZRATY TT
LD F T a ERETHIEHBTEET,

TTar VU= ETI)N - FTY FEFOARN)—LEFETTEHE TIAINETE, /—FiE 1D
DFHLWT =)L RZBIMLEXT, TOHAANL, HRAICHEKL X,
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#16. T4>2a> - VU—DEFNZAATI T« T —ILR:
BT 4« —)V KD 4Hi ik
$1-target_name HEOL I— RO TFHENIE,

EFUT e J—REFEEFETIN - FF T TLA—FOARATY IV FZICEHO N TENEZY 5 ADMHER
2l 5] ZERLEGSE, S5IC740—I)VREBMLET,

K17 T4>Fa> - VU—DETIINATI T« 70—V R - B

BINT ¢ —)V RO Bk

$1P-target_name FTHIDOFERFE 0.0 ~ 1.0),

Netezza 743y -YVU— -TEFIV] 97T
=TIV 71203, T4>>2a> ) —«EFF)IO [THEOEEE | N7 57 4 HIVIERXTERIN
F9, BOESIE., FPHEOEEELA2EXZL TWET,

7: IBM Netezza Analytics /N—23 > 2.x BLATTIEEL TWAH/E, 71> 2a> - VU— - ET)ILOW
HEITFA M TOAEIREINET,

INSON—Ta 0BG, LLFOBHRNFRINET,

e THFANDEITIZ, /— RERIFZEITHIGL TNET,

s AT MIVU— - LR)VEKRL ET,

o J—ROBE. DEOFENFERINET,

s EDLG., HIDYTENLET TADTRIVINFERINET,

Netezza a4 >>ar -VYVU— - IREI 97
[RE] YT T, BEFTINEAATY T 52004 T3 2R ETELT,

ANT 4=V RZEOERTDE, TDODANT 4 —IVRETXNTFRICEL., BINIOETY >F « 74—
IWRETF=YDETICHRMLET, CORY I AZEFTICTHE, LIA—KR ID 74—V REBINOET
V>« 4=V ROANEINDZD, AR —LNKDEIETEINET,

LaA—ROAaA7Y U 7ICEOYTENET T ADHERESIHTS:(T 4> a > - VU —BEXW Naive
Bayes D& R LZHE. 204 T aid, BIMOETY S - 74—V RDHERE FER) 74—V K
DEFEMN, FHIT 4=V REEDZZEEBRLET, TOFv IRy I AELTTIZTEHE, FHIOADT
4 =V RPEREINET,

PEMANT—H O, ZOF 7T a BRI NLGE, AUE2—OBEBO/NAE2EITTE2TRTO
Netezza 7 )V AU ZLAMNE/NAICHERIZFE CT—4 Ly hE2FHTHILIICADET, FERENT—FN
FHINTNWDIEEZRTEDIZZOF vy Ry VA&7V T7$5HE, T—FX5S /) — RIZk > TERK
IN2HORE, WHBTLET—YHNERFET 5 KT —TIPMERSNET, ZOT7—7IiE. EFTI)ILD
TERRRICHIFR S N E T,

Netezza T4 23> YU— 35y b -TEa—-71 %7

TEa—71 #712i&, SPSS Modeler TT 4 > 23> YU — EFINRREINZDEFUAET. VU
— ETINOV)— TLErT—Ta NERINET,

H: ET )V IBM Netezza Analytics /N—3 3 > 2.x BT CTHEINTWS G, TEa—7)1 ¥ 713%E
T?Q
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Netezza K-Means €5 J)V - 74 v b

KMmm%Tw F7y MZliE, 7R —LETINDEHELZTRTOEHRE, FETFT—F EHET O
ZIWCET B ERNE ENET .

K-Means )L «+ F7 v h2EO AN —LAZETTBEE, TOLI—ROFEY I AY—EE0DY TS
N AL —OHLNS OIEBEEZE 2 DOFHT 4 — IV BEMEINET . $KM-K-Means &5
HIOHFH 7 4 —)V RIZFTE Y 5 A% T, $KMD-K-Means WD ZRTOHF IR 7 4 —)V RiZ7 T A5 DHL
M5 OB T,

Netezza K-Means F#%'v b - TE5FI)V] 97

TEF)IV] #7203, VA —D T 4 =)V ROBEKMEI BB XM EERRT DD T 77 4 v 7 FR
MHOVET, ETINMSET—FZITIAR— L7720, Ea—2TF7 74927 LTI AR—RLZDT
HIEINTEET,

IBM Netezza Analytics /N\—73 > 2.x BARTTIEE L TWAHE. H D WILEEEEHIE & L T Mahalanobis %
HHLTETIVEHET 255813, K-Means ETIIVONRIETFA MR TOAEKRINET,

INSON—23 > OEE. LFOIHERNERINET,

o THtOER] . BN ITAY—BIXOEKRY FTAY—DHHIZDONWT, HMetOEKICL 3— RENE
RENFET, FFHOEL] IZIE, INHDT ITAY—ITL->TEHEEEINEZT—% -y hOEEGHE
RENFET, F2UZANMIE BRI TAY—IMNERINT TAY =TT B A1 LN ERINET,

« VSARFYVTER, VI ALY CTERITE, TIVTU ZLATHERS N FAY =N A 3Nk
o BRI ITAY—IZDNWT, T7—IINCRI FAY—DLI— R, IN5DOLI—RDOY ALY —h
D5 OB NFORENEK T,

Netezza K-Means €5 IV - 75 v b - I8REI 97
[RE) YT T, ®EFTINEAATY T TDHDDA T2 a 2R ETEET,
ANT 4 —=IVREEDHDBIRT S E, TOAN T4 —IVRZTXRTIFRICEL, BIOETETY T « T4

— N RETF—IDOEFICHRMLET, ORI AZFTIZTTHE, LOI—KR ID 74 —)VREBENMDE
FTUT T4 =)V ROBMNEINDSZD, A M) —ANIDELIEfTINET,

PHEERIEE 7 —% - RA > PHOEBEOMEICHEH T2 HETT, BN RKEWEE, HENKERDE
T AT aliFROEBD T,

c A=Yy R:(T7#)b) 2 mHOERT. TNSEEMRTHESRZEICE> TIHEINET.

* Manhattan:2 5UH ORI, %hBODFJéFfF”?I@'f@ﬁEE%ﬁ@A?r& LR EINET,

e Canberra:Manhattan OFEEEEF U TIT N, FAICIEWT—4 « R > MR L TR DERENE LBV F
—g—-o

o K 2 RREOBEHT. BEEOXITICR > T NS OMHEORREE L TERESNET,

Netezza Bayes Xy F7—9DETIV - FT v b
Bayes Net OETIVFTw ME, EFTI)INVEAIAT VT TH500F T a 2RETHFEREREMHELE
KR

Bayes Net E7 )L« 77w hE2FOA N —LAZFTT2E, /—Rid 1 DOHFLWT ¢ —)V RZEBEML
£, TOAHENT, HRAICHEKRL XTI,
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# 18. Bayes Net DETIINZAAT N> « 74 —JLR:
BINT ¢ —)V KD 2k
$BN-target_name HEOL I— RO TFHEIE,

ETNFT Y MZT—=T) « /= REHEHL TRO/ —RZ2FETITHIEITKD, BT 4 =)V RELRT
HTEMTEEXT,

Netezza Bayes Net 74'v b - [8&E1 97
[BE) 7T BETINOAAT ) TDA T a  aRETHIENTEET,

MR 2 MBRMEZRLET. BEOMREFEBIHART 4 —IVR2A37 ) 27 LEWERIE, T TH
L RZERL X9,

LA—FRIDl . LO—=R ID)] 74—V RDEESNTWRWEHIZ, ZZTHEATAHS 74—V RZE
BIRL TL7Z3 1,

TPHOMEE: FHLZWTRITILITY ZXLADONYLZ— 3 2,

o il (RBMHBET2ER: (T 74V b HEEORWIER  — REfEHL £,

o B GEBROHEALEPHU): TRTOEM /) — ROBEAFEFRZHEHL TWET,

« NN EBE (null DA OERE): NULLEZ D/ — REBET 5 E 0N JZ2RWTIE. fioF 7T a > &
CTY (FRINEIEIND A > A > ADORIBENS DI@EICHINT S /) — R),

ANT 4=V REEDDRIRTDE, TOANT 4=V RETXRTFRICEL., BIIOETY T« T4
— IV RETFT—=YDETFICIRMLET., ZORY I AEFTIZTSHE, LI—R ID 74—V REBMOE
T T 4=V ROBNEINDZD,. AN —ANLDELEFINET,

Netezza Naive Bayes DET I - 5 v b

Naive Bayes ODETI)IVFTy ME, ETNERAIATY T §T500F T a 2% ET 5 FERERHELE
3—0

Naive Bayes DET )L« 7 FEFOA NI —LAZ2ETTHE, T4 ETIE. /—RiZ 1 DOHL
W74 —IVRZBIML XY, TOAFNL. HRAGITHRLET,

# 19. Naive Bayes DETIINAAT V>0« 74—V R - 741 :

BT =)V EO AT HR

$I-target_name BIEDO L J— RO THIE,

EFUT e J—FRFEFIFETIN - FFYRT [LA—FORATY L FIZHO S TENEY T ADESR
2iHT 3] BERLEEE, S5ICT74—)VEZE 2 DBEMLET,

#220. Naive Bayes DETIINZAT I >T « 74 —)L K - B0 :

BN =)V ED AT =S

$IP-target_name A A 2 ADY T AD Bayesian 7T (RiD 7 T ADHE
REFMAEDA DAY > ADEHNE DL DFE),

$ILP-target_name %E O HARE.
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ETFINFT Y MCTF—TI s J—RE2EHELTED ) —R2EFTTEHIEITKD., BINT 4=V RE2FRT
HIEINTEET,

Netezza Naive Bayes 74w b - [EI 97
[BE) 7 TlE. ETNVORATY DA T2 a  EZRETHIENTEET,

ANT 4=V RZEOERTDE, TDAN T4 — IV RETXRTFRICEL. BINMOETY 25 « 74—
WREZ2F—=YDOETICHRMLET, CORY I AZFTIZTHE, LOA—K ID 74—V REBNOET
U2« T4 =V ROBNESINEZD, AM)—ANLDBRIETFINET,

LaA—FROARA7Y L TICHONTOENEY FTADHREGNRTS:(T P a> -V —BLY Naive
Bayes O &) BIRL B, 20T a2 id, BMOETY >V « 74 =)V RDEE WHR) 74 —IVR
DEFN, FHIT7 4=V RE2EDBIEEZERLET., ZOFT v IRV I AZTTIZTHE, FHIOAD T
S =V EDERRENET,

MENEERRZLRODODHZT -ty FOMEOKEZIN LB 5: HEOER, Z0F 723> T
. HEERFIC 0 OENLZ2[EEET D m HEE FEMEH S NE T, JORBEOMROHETEIL, HEMNES 72
LIENBDETN, NEVEERIFEIREODOHZT -y MCEDIWHREGEZA LI ENTEE
—a‘o

Netezza KNN €5JV - 75y b

KNN OETFIVFZ Y ME, BTNV EAATY 75200472 a L ERETHFEZIRM®ELFT,
KNN E5)V « 77y h2EOA M) —LAZFETTEE, /J—RiZ 1 DOH LW T =)L RZBML
I, TOAENT. WNRAICHKL FT,

#21. KNN OFETI) « ZaA71) >0« 74—V K

BT+ =)V R4 Hik
$KNN-target_name BEOL d— RoFHIMME,

ETINFT Y MTF—TI s J—RE2EHELTED ) —R2EFTTEHIEICKD., BINT7 4=V RE2FERT
BT EMTEET,

Netezza KNN 4w b - I88E1 97
[BBE] T TR, EFTINDAAT I TDOF T2 a w2 _ETDHIENTEET,

HEENE 7 —% - B 2 NEOHEBEORIEICHEHT 2 HIETT ., BEENAKENWITE, HENKESARDE

T AT aiFROEBD T,

e A=Yy R(T 74 b) 2 SEOKEEEL. TNSZEMTHRZEICEI> TEEINET,

¢ Manhattan:2 SEOEHEL. TS OEER O ERO G E L TR INE T,

* Canberra:Manhattan OFFEEE[FCTIMN, FAIGENWT—% - RA > MIHLUTEDEENE /2D E
KR

o IR 2 A OEBEL. BEEDOXRITIZHR > 22N DHEORRESE L TEHEINET,
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k ZBEIRTZDZEICKD, A—N—To vk I T A4 XDEN] T—YOBRGIIEELREENH D F
) ORIk &Rk (RREDA DAY > AT B ERELTFHE) ONT O AZHELET, &7 —F Ly T
Tk O (H1E 1~ BT OHIPH) Z2RET20ENHD ET

ANT 4=V REEDDRIRTDE, TOANT 4=V RETXRTFRICEL, BIIOETY T« T4
— N REF—YDOETFICRMLET, ZORYZAZF 7129754, LOA—R ID 74—V REBMDOE
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$DC-target_name HAEOL A—RNED Y TE5NTVWEY T IAY—D
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$DCD-target_name BFEOL I—ROY T 75 A5 —Hih 5 OiE#E,

ETINFT Y MZTF—TIV s J—REHEHRLTED ) —RE2FERFTTHIEICKD. BINT 4 =)V RE2FERT
HZEINTEET,

Netezza RIS RYV YT Foy b - REL 97

[RE] Y TTIE, EFINDORAAT Y T DG T2 aleRETHIENTEET,

ANT 4=V RZED5BIRTIHE, TOANT =)V REZITXRTFRICEL, BMOTETY T« T4
— )V RETFT—=YDOETFICHRMNLET, CORY I RAZ2FT7ICd5E, LIO—R ID 74—V REEBINDOE
T« T4 =)V ROBMESNDZH, AR —LNEDBELIETINET,

REERE 7 —% - RA 2 NEOEBEORIEICHEAT 2 HIETY . EEERARKENWITE, HENKEARDE

I, A7 a iPROEBDTY,

e A=V Uy R(T7#I D) 2 REAOHEREZ. TNS5ZEMRTHESNZ EICE> THEINET,
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HHBEREL NV T2 ICEAT 20 ENDLEEDL N,
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112  1BM SPSS Modeler 17 F—4 R—ANTA =27 « 1 R



PCA EF) - oy FZ2BFOVA NI —LZFETTHE, TIHIVETIE, /—Rid 1 D0HLWT 1 —)b
RZEMLXT. TOAAENE. HRAICHKRL LT,
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BT =)V EO AT =S
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HIEINTEET,
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