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DROP TABLE CREDITSCORES

CREATE TABLE CREDITSCORES ( "fieldl" varchar(l),"field2" varchar(255),"field3" f
loat,"field4" varchar(l),"field5" varchar(2),"field6" varchar(2),"field7" varcha
r(2),"field8" float,"field9" varchar(1l),"field10" varchar(1l),"fieldll" int,"fiel
d12" varchar(1),"field13" varchar(1),"field14" int,"field15" int,"field16" varch
ar(1),"KEY" int,"$§M-field16" varchar(9),"$MC-fieldl6" float )

INSERT INTO CREDITSCORES ("fieldl","field2","field3","field4","field5","field6","field7","field8",
"field9","field10","fieldll","field12","field13","field14","field15","field16",
"KEY","$M-field16","$MC-field16")
SELECT T0.CO AS CO,T0.C1 AS C1,T70.C2 AS C2,T0.C3 AS C3,T0.C4 AS C4,T0.C5 AS C5,
T0.C6 AS C6,T0.C7 AS C7,T70.C8 AS (C8,T0.C9 AS C9,T0.C10 AS Cl0,
T0.C11 AS C11,70.C12 AS C12,T0.C13 AS C13,T0.C14 AS Cl4,
T0.C15 AS C15,T0.C16 AS C16,70.C17 AS C17,70.C18 AS C18
FROM (
SELECT CONVERT(NVARCHAR, [TA].[field1]) AS CO, CONVERT(NVARCHAR,[TA].[field2]) AS CI1,
[TA].[field3] AS C2, CONVERT(NVARCHAR,[TA].[field4]) AS C3,
CONVERT (NVARCHAR, [TA].[field5]) AS C4, CONVERT(NVARCHAR,[TA].[field6]) AS C5,
CONVERT (NVARCHAR, [TA].[field7]) AS C6, [TA].[field8] AS C7,
CONVERT (NVARCHAR, [TA].[fie1d9]) AS C8, CONVERT(NVARCHAR,[TA].[field10]) AS C9,
[TA].[field11] AS C10, CONVERT(NVARCHAR,[TA].[field12]) AS Cl1,
CONVERT (NVARCHAR, [TA].[fie1d13]) AS C12, [TA].[field14] AS C13,
[TA].[field15] AS C14, CONVERT(NVARCHAR,[TA].[field16]) AS C15,
[TA].[KEY] AS C16, CONVERT(NVARCHAR,[TA].[$M-field16]) AS C17,
[TA].[$MC-field16] AS C18
FROM openrowset ( "MSOLAP',
'Datasource=Tocalhost;Initial catalog=FoodMart 2000',
'SELECT [T].[CO] AS [fieldl],[T].[C1] AS [field2],[T].[C2] AS [field3],
[T1.[C3] AS [field4],[T].[C4] AS [field5],[T].[C5] AS [field6],
[T].[C6] AS [field7],[T].[C7] AS [field8],[T].[C8] AS [field9],
[T].[C9] AS [fieldl0],[T].[C10] AS [fieldll],[T].[C11] AS [fieldl2],
[T].[C12] AS [field13],[T].[C13] AS [field14],[T].[C14] AS [field15],
[T].[C15] AS [field16],[T].[C16] AS [KEY],[CREDIT1].[field16] AS [$M-field16],
PredictProbability([CREDIT1].[field16]) AS [$MC-field16]
FROM [CREDIT1] PREDICTION JOIN
openrowset (' '"MSDASQL' "',
'"'Dsn=LocalServer;Uid=;pwd="","' 'SELECT T0O."fieldl" AS CO,T0."field2" AS Cl,
TO."field3" AS C2,70."field4" AS C3,70."field5" AS C4,T0."field6" AS C5,
T0."field7" AS C6,T0."field8" AS C7,T0."field9" AS C8,T0."fieldl0" AS C9,
TO0."fieldl1" AS C10,T0."field12" AS C11,T0."field13" AS Cl2,
T0."field14" AS C13,T0."fieldl5" AS C14,T0."field16" AS C15,
TO."KEY" AS C16 FROM "dbo".CREDITDATA TO'') AS [T]
ON [T].[C2] = [CREDIT1].[field3] and [T].[C7] = [CREDIT1].[field8]
and [T]1.[C8] = [CREDIT1].[field9] and [T].[C9] = [CREDITL].[field10]
and [T].[C10] = [CREDIT1].[field11] and [T].[C11] = [CREDIT1].[field12]
and [T].[C14] [CREDIT1].[field15]"') AS [TA]
) TO
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