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f& 3 IBM SPSS Modeler fiiA, #nfDIFEQIEATI S 2 5, SERER SRS RBr asife,  #lan, DU
A M E R druglearn.str (1£ IBM SPSS Modeler 2235 N1 /Demos/streams/ LI ) | FE0] i J@ 1
"XPEHE (TR > REE > BE) Fisfy.

stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)
stream.linkBetween(appliernode, typenode, analysisnode)
analysisnode.run([])
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taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.

installation = "C:/Program Files/IBM/SPSS/Modeler/16/Demos/"

# First load the model builder stream from file and build a model

%1 % WARSAWARSIES 3



druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []
druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now Toad the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
model = taskrunner.openModelFromFile("rule.gm", True)

modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType("derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect(plotnode)
modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.run([])

B TR GIES WE 268, #2HEAESE S )
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stream = modeler.script.session().createProcessorStream("featureselection", True)

statisticsimportnode = stream.createAt("statisticsimport", "Statistics File", 150, 97)
statisticsimportnode.setPropertyValue("full filename", "$CLEO DEMOS/customer dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response 01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature Selection", 366, 97)
featureselectionnode.setPropertyValue("top _n", 15)
featureselectionnode.setPropertyValue("max_missing_values", 80.0)
featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important label", "Check Me Out!")
featureselectionnode.setPropertyValue("criteria", "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream
applynode = stream.findByType("applyfeatureselection", None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96,
applynode.getYPosition())

stream.link(applynode, tablenode)

tablenode.run([])

IEIAANEE T — A A AR I8 s, (o A28 B 5 0K Br response_01 M€ (1)) B BT,
SRIG R FF AT RRE BT . AR E B AT E A2 A5 SR B DU BT 320 Ry, SR G &5 R AR
PSR RHIERE, R A TR selection_mode 1 top_n FifiEfy 15 MEEMFER. HAXHE
ZER, WHEFE 172 T 1 featureselectionnode @1 1 |3 /i,
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execute 'Set Globals'
execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'
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TR R 5 — UK BRI SR AT VRS B, R AT I BB R AT I T K, AR5
PR U RIR TR,

iz
- is
iz

AR RIEER
SERLOAEE, (AT A A SR L AE S AT RO 0 T

°Eﬁﬁ%%ﬁEMMﬁ It HABRR AR X R AT S

o BTG ERH KRR, FF HARRHER X AL R VAT R

o BT ERH R, I HAERR T A — BN 7B
o MBI E RO RO, IF B UCHR X AR R i B AT R

AT DU PAT 18000 R BB ER e 00 L B B i A i, BRORIZ TIEIUR, IH AR TG
Eiv

IR A T EINEHHATIAT T, IR A E Gt Ty, @0E A FT A IRREORAR LR, (Tt ) GenT LAt
X R ER A A RS, I By PR TR AT A ARG K AR R UG 2 A S s &
FEPAT I A R B LR ERE (ANEMIA ) ST, PR AR ORI IR A TIER, X R,
TR LSO 22 A RS T HE L TR S SR PREEH,  SRJ P26 AT AR VAR G 305 o AT 0E — 22 @ WA A, 3
R, SR dRanE... I, B0E U PTA T E R 2 BoR e R U A .

Eh ﬂn;ﬁ@?’i IBM SPSS Collaboration and Deployment Services {EMlHizf7H1 SPSS Modeler i, IE4
DB S ERE R ENEHRA R, X &Rk, IBM SPSS Collaboration and Deployment Services 1Ml 4%
B HH%iSNSMmmrwﬁ ian, AR EAER PR E T AR AR g DUE AR PR A R 1
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AR, IR AR AE SPSS Modeler H IEMi 744, {HH IBM SPSS Collaboration and Deployment Ser-
vices Deployment Manager & 5 BE 10 H i AR ] 7 45 H 78 5.

G ERR, BERTISE:

1 AT L SO ER AT L BRI, AXRELEE, Wbt el

2. fERER, EX—AREMEASRE, BXELEE, R TR

3. fAIE R AR TG A B R TR R, BT, MR BT,
TEFIFET EFBEER, WAk LU R, SRJG B TR A A ) s Sk R,

AT RPIERIERRREF

i A 7 T DUE SCRE TR AT I T ZAR IR G54, i, AR BN B AT, IR DLl
SRHE FE R X, IR VRO Y AT, HOGBE TR B Mk U A T Y Bl 1Y
A5 AR B R s AR, S SR A B X A m] AL 7

BT IR IEAE, TH BRI TR 2 T A RNE KRR &M, dCE AR AR A, Aa
FEINFMHIIT > EXERXET (FR) SENFHHT > EXERXEF (F) . WCRENGEHITIF
PEXSTRHE, IRARGE e = H IS — 7B, N, 19 g S7%.

RREEUOH T, HHEHE 7B

TR, EERT DI T 81—

c RBY - FR O @HLEDT R - EER, TR A S B RS E A A E T B
© RBH - B IR A - MEES, TR A S B AR B R E

c TREN - FR. LS SR AR, TR SRR B AR E T B
s TEEM - B @RS R N EER, TR SR M A (R B A R E

RENE, SRR IATIRIAN B AR D 00T LIS T8 — A i i

- BY. HEBEFRSY - FRURSH - B4, AR SRR RER TS

c TR UAEEFTREYE - FREAT BN - BN R R AR A N
BT IR 540 5 X HE I R BT 3 s ASRANM B s 22, 04 n] DU i B84 T 811 — A 507
WoRGC RTINS, DIOUR R E AT a0, bR, CEDBT, A, <Ry, oy
B35 R

- B (CYEERFTREN - FRETABENE - BT W RSIR R SR

EFEANFR. AEEFRSY - FREHSABEY - FRATH, A E TR AN T

TR DA T 21— e

* TR NHEEFRSE - FROATH, RN HRCEES LS ENE R T AL R i
DUFT IR e 545 a0 X TEAE I BE R P 5 1005, RSN i sl 22, B nT DUl e 4 T 51 H Hh — 2850 %
ARGTRIEATIEE, DU RRE 2R s <P, <R, BB CEAR, ke, S el R
T kL

o FRIIR. PlA LRSI H AT R T BOAAHE, AT DI IR R AE o Y A B TR A
BRBIR TR, SR8 U ¢ e TR BO PIRICE 245 5.

EERANE NEEEFRSY - EUTREM - B4, R B E AR EA . A
PSR T 21—
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* TR UYEEFRSE - ENATH. EFENHBCE R LSRG AR, AR AL
FTTF BN XM BRI F 1005, WERAIH i sl 22, A8 A nT DUl i g4 T 1) Hmh — 25050 8o
GiRATEE, DMUR R E R i <P, bR, CEDEY, cl. ki, S e AR

© FRIIR, B AP TR AR AR 1 T B

« BFIR. B A SRS R B E XA HE,  GERT DATE R AR P e Y AP B T R AR AR
Bl 7B

tZATRPIERNEREE

AT LU FH A QA AR AR PAAT A BRI B A3 P B9 I 2 B ol e o 19 R R AL, B, R OR PR X
B e LT O3 A 6 T b s [ 2 sl X s AR B, IR AT e & B — MR L5 Won s B T A
. PR — R TIRAHEE BB, FEXeALT, SR DI U E, XS R O AR A P
RIS, U0 Fi ST HE #2785 SR H AT B, SR A R AE ] DA EAE AT

R EA AR,

FTIFREX AR, TH B IRH PR 2 T AIRIMER.. i, oS08 A AP, SRE e
EIFMEIIT > EXEREE.

R EEAE, HHE T E

By, EFEGUMEERE,  WUNRSE T R BT TS
© WPREFRSE, WHRBENMTESE, RREE RSB TS A D CURAE R P AT
F) 7 SV AZH 1% 2 RO B O
- EREE. ®HFNZHRSHEECE Ve R R,
- REHEBRT, ZHRSEGCE R ROUPRE, WAIIRT R, RE AT,
- FEAN, AR ET IS ARSI R AU, TR, R [ B R TR
I, R B — A AT R g AT SCAR BT 81,
o IR SEY, W TR Z A e, RERREAT RN E, ST
FIFHR — AN, AT LB B (A
- B BPEGCEOEAOCH T, ESREE T U o BRI TR T A PRI R RO 0 PRI £
=5

F /Sho

- (FARERIR. SO EME N ERE T BrP A TN B IRTA.
- (FARERR. AR EE N ERRT B A RN ARG 4.

IR A 2R G S I, R4 ZR A 4R J 1) BT R BOAS BN S, B, Gk ARG B (A b
[F 5 B X H AR ARIRRIR, AT DIAEIF B - 5 A5 HE 5B 4 8 3.

EFERATIERNFR

IR, SR DU et B XA HE R — A 2 AT B

HEFFARYE AT DL I BEFE T S — AN IO T i A ) BOUE AT HE

« B2 BRI T DB, T T B R T B AR WU

o BRI RATRNUT X 7 BT HF E T A,

o KA BETENHHNEL B HF, SRR A E R 2 A B AR A L

— KNI R P — 7B, BCR A Shife FRRG AT Cul FFEGRIIIERFEZ T B, Lok, ]
DAGE FAZZ T 1 4 SHAR B I R g e i 2 A 5 B, slase i sl BN B 4 36 P T 7 BL
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TR, AR T B AT Dk, DAL RE T R AR S B RUE e B i, R
HRAT BRI AT B R SR, IR 2K CUR S A7 ot 285 54 B () 7 B

MAPRISFERAT

S A PFAET, ST BURHR 5 857 5 S0 e P RHIL E 9 00 25 e U 0 1 A2 AT s T AR B
©RIBAEIR rue TR false, BRI,

oA SEERA LA T B AR RIS 17,

AT DIFESL PAT IR I SR e 0 B BB I 4 i, BRORIZFIRDUR, AR AT 7
.

AR VCE TIRIVEEHATIT T X, AR tTiftny, G0 M PTA ST SRR R, (WTik) T
DU X S 09 2 P AT SR AR U A RS, Rl B S 0 7 e 00 R A T ARG A, Hr U ARG I 2 B A 23
frepy EECRATIEI R R L R (ADERIAR ) AT, PR AR BRI R TR, X
BRE, WA RUC 2 A8 TR 00k 2 SR, SR AR BT A B AR G 45 45 R AT 0E — 2 E A 1A
A, WTER, HEPGREE.. W G0E S ET A R PR ER 2 R TR A U R A R

A S, W AR

L FE“F AP FRITR A A MBI, Bk U IR A ] S
THERR, AT DU GE SAAT 5T ST A B AR
2. TE“USINZAFRATIR M MEHE R, 5 E LT A
a R, EFFELBCE RTINS DL T IR R AR R IR TS, R
SIME Y R 2, WA DI BoRa Ry Tt ug, DIg RO — ARG BRT i <l “EE
o AR B Y
b (EAMRIERISZM.  IREIIT T RN B S 1, T LT AP AS B e e — A RS HL
ERTE. RWHBTIIREHE. N T30 i A BRI (5 S i Gk 0 S rF .
© RBE MEMWIERPIERE SN, RERFZSEIEER, fin, sBEATLUERT, ST, AT
T2, R, WAESRDMERRAME, BRI 2R,
- ERTE. MRMRFIFRPESALE; fn, XaTREAEFE, B, R/ME, RORESREZE.
KRG, EHFIEER L.
« REIHEIT. MATHIRPERFERT A, RERERDNITNG. R, EFESERF LRI,
© WREHRE.  WCRASURAPATI R, IR, RFRHETUE, IR A S
30 EEDPEE 1M 2 BrifRilkdl, HEEERE THA® RSN, Bty sORHAAT 12017 508 T o 20 2 ) % PF
53 AR ARV T REIR T2 P BT R R0 SR R L SR S
4. BVETEOLT, Rk BoRWUP AT GRS, BAESIR T BT S AN S, 38 B Y AU LU
BEH, SR 2 T A Y i _E s Sk SO,

Fi8h, AT RIS S IR A IR R BT 1 I
o RIAFX A FMHETRE. LRI SRR 1% T IR b 0 R 4 A S E TSR, BT
A FRMIATRAA G, K SLRI AT IRLE S5 F SR AH D “true” (15

o DTS S A AT IR A XA HE,  FELERS

© —RHITAITA HAEPRINF X ETA FGETREN A TR, R mgos, mREA S ARE
Htrue”, IRAKESEIAT SIZ A RIRATT AL, ARG FEXE T — A SRR TR A

© HERGPRZENITRE. P ERTER, FOUa1TE — MR AR E Y 5 0F R 0] “true” SRAELAY 75 1.
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WATFIRR BT
ATBLEA SR HORIATIA. 0, FERI AU IA TR, & T IA LR 752 6 0 A

3

1. s I AR e
“IBATIERE AT H A T AT SR A rp e 1) B — A7 B0 R 404 BT AL B B

E]

[Al 2. “iafrit i % H

Ay LU FRL T T ST AR

o FEVCMA SO AL A XTI HE R, B AT A s Ia ATk E AT 1R L

o TEIBTTULREIZA B B o 5R A P47 7 I 0L T s 1T

« JASE IS ERAM ] -execute FRiE.  THS I BEE 55 U ¢ AT EARRIIMET 0 | TIREZ(EE.
e AR R RUEAS XA HE PR AB TR AR, DA 7E AT 1Y s ST Y A,

T A AT

UL RENAS X VA P A L 45 L e RS AE R AS SR AT I AR P i, 0 P It B T U AR AR ] 24 BT 14 A
17

EFRFNEHR

A TEg i A i Fh XA AL E (G881 CLEM Fk A EE g8 ) BUE SCRA 1 5 rp (A AR s il
PR EHE, LT — XA ORI, 4% Ctel+F Al y5a] U IEHE, FER0REhR A £ ST AR
XAk, ilan, AbBEIE T SR, AT DUE s I R AT — SR Xl e ik s R R 1 SR T By )
X HE,

HEFSCARTBR IE R, $5 CuleF T T 4/ B R 1.
BRI IO, SURIERRI R i,

i ABHOCR (IR )

BB T TR,

SR BB WA 0PI, o A A T e 5.
GUCHAETEHUR, BT EREA I, EE—SORR B F3 B, W4 E g, U Cul+F,
T F R A E.

BRI

XAaKNE., FHEELRBELETE S KNG; G myvar B655 myVar ILHL, TCiS/ERENE, B UARIEA
56 2 B A dE A

WRRFEANBIE. f5EARBRERT LI RN HRISOR,  WEPRES, spider BIIERERF A0

spiderman Y, spider-man,

AN R e
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EMRANX. WERGHEMAEMNRALEE GESRT—1) . RS, (RFEA BRI

=M HAA,

IXBRFERESCA . il BRI 1944 2 V.

IE MRk ik

AN ZA, G DHERAIR AT (AR R e T3 4F), FAFRUEBGER (I a 2] d) | A8y ek
B (T E 8T R) o SCRp Rk SR RANT,

# 1. FAILH

FH Uy

X T4 x

\ KR FAF

\On F/AHFIER TS On (0 <= n <= 7)
\Onn I AHEFIERFSAF Onn (0 <= n <= 7)
\Omnn FAEHERNFAF Omnn (0 <= m <=3, 0 <=n <= 7)
\xhh & NHERIE I FAF Oxhh

\uhhhh BT SEEHME AT 0xhhhh

\t HIFEFF (\u0009°)

\n HATAF (\u000A”)

\r B %45 ("\u000D’)

\f T (\u000C”)

\a AR (NS ) £F (\u0007%)

\e % A (\u001B’)

\ex X Xof . P45 il A

# 2. LR T

FHE i

[abc] a, b, 3 ¢ (fijHAE)

[Mabc] B a. b. Bl ¢ ZAMWPTEFAE CHRB)

[a-zA-Z] a ¥z AT Z B GEfD

[a-d[m-p]] a#ldsm# p(HFIF) . WMAFEEN [a-dmp]
[a-z&&[def]] a F| z Fld, e 3 f(XH)

[a-z&&["bc]]

a # z, Bk b M ¢ Ab (HHI) . WAlEEN [ad-z]

[a-z&&[*m-p]]

a # z, WAE m F p (FHWL) . HAHREEN [a-lg-z]

K 3. HUE TR

FE N FHE A
FEETFAF (ATRESAS AT B 5ATZEAFIL )
\d BT [0-9]
\D EHeE: [20-9]
\s SREFAF: [ \t\n\xOB\A\r]
\S AT (M)

%1 ARSI ASSES 11



K3 PUETFIFE (£5).

FlE X F 2 T

\w PR AT [a-zA-Z_0-9]
\W FEHIAFR: [Nw]
4. RIEHL

LR ERF L

A TE

$ 1k

\b LISCBUR

\B EIREAGRUR

\A LIPNGLPISS

\Z Primfa b7 (INRAE) , WMARE R
\z A RS R
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£ 2 F HAKNES
HARSIES i

i TBM SPSS Modeler RIS TH., ] DIGIE — LA, X SEIAT DIfE SPSS Modeler f 7 AU 1
a7, AR I a2, TRIAE SPSS Modeler B HiafT X LEIHIA,

IBM SPSS Modeler H A DIEIAIES Python 4%, IBM SPSS Modeler fiiffi 3T Java [) Python
SCIFRCA Jython,  MAIASE F L T HI LI RE AR

o MFHIAE, . TR, fHAHEAm 1BM SPSS Modeler Xf 4 144 =K.

o AT AL PR X S X G2 1) — 20 A AS G T ) B A 2

o AT REZR, SEFNHAXT G IE N A g REXES.

o VERE. R RISCTESORBU) S HE,

PIF& TR T Python J§AIE S . Python () Jython SZILDIKAE IBM SPSS Modeler PN AT IAIA g il A AT
FAEE, BRI a4 B S fE B IUAERE G A 215 TR 4R 4t

Python #0 Jython

Jython J& Python WIAIEF HISEH, BLL Java IEEME IS Java FEUATHEM,  Python & — Rl i X} 5 Y
IIREs R M A=, Jython HA sUBAMATE = 1A JIRHIE, M H-5 Python R[EIFYJE, Jython W] LIFEATAT
XFF Java BHYL OVM) HEREEHRIETT. X EWREEAES SRFN LI IVM B/ Java Gl
Jython, f&R] AFI L ZE 5304 ] Python 1A Y3 EE MIKHE T D fiE

Ve —FIAIE S, Python (LM Jython SEBL) By ¥ A FFAeMs mat it (rdmes, W HE & IR a TS
/NG, ATRIAES B 7 U A AACRD, B — Ui A —47.  Python J2—FifREVEIAE S, EBCH Java
TG I PR, Python RRF(UOURSIARSUM, RGUHAE R A X LESCAFIN X HAEATRE (LEMEAT I 15 5 %
Ja) . TERFAR (BIINE & SCHE ) LIRS IR B EAE (e 20 SC) KL BT I al i . mTlA
PR MAAE AT XA AT A, (R, BIASMERE B0 SEAP A — 288, B, ol 08 AR e SRS AN
FEaRsE L, UL AT T2 BRI RO, AR, XA, aTRIgiE e
PR LI IS iR,

Python ¥ AT AN (HIGEIA IR ) A5, FHit, eI A2 7R B X s Xt 4 FEse e
B (BN F IR R ) B My @A A E T A EX S, Python ZHFILAT N, H— A% ZFFM Null H,
It Null {5 HAGHEZFR None,

H X% Python FI Jython JHIZZ I B IR AN AL K —BoRGIA, %5205 |http://www.ibm.com/developerworks/|
[iava/tutorials/j-jython1/j-jython1.html| F |http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html| .

Python FZk %4

A Python AT F 4541 T 4£ IBM SPSS Modeler H 2 il IIASI fi w] RE# AV AL0F, Horp (st A g
Hnf, R N AR B HIPUR T A EH O /Y Python A, LIfE{E IBM SPSS Modeler Hi{fi ffl.
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 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html

B8
WAGE %S () K. B, B3 RIS 45 R s i, ST LG A DL 3
-3

>

>

IR TR AT B R R BRI E 2R A . P, DR Ea string value W {EHZS AL Ry, GAT LU DL T

ET

y = "a string value"

TRV T — L% HI H B2 MU 12 58 K A A
# 5. W LS RS

ey} iR

X<y X SEHNT y?

X >y X EH/KT y?

X <=y X BENTHET y?
X >=y X EBRERTHET y?
X ==y x 2 HHT y?

x I=y X ERAET y?

X <>y X EBHAET y?

X +y ¥y 5 x M

X -y ox ik y

X %y Hox Ll y

x/y ox BRLLy

X x% Y RKox )y KHE

e
PIFRILRFH. SIERW U EEERE TR, MR TR DU LA 2EB p x5, o n] L 5100 0 1
A, BEEGM, BRESEHOLR, SIRPICRAEHE Al e e,

N

(1 TRz 513,

[1] ME AR CEED) ML,

["Mike", 10, "Don", 20] i 4 AR (WD FHBEITRHMPNEEOTER) M1,
[[1,071,[8,91] FIRIIGIER, EDFIFRERE DI RBEHOTRIIK,
x=7;y= 2, 7= 3; B, MR T AR ARk A .

[1, x, +y]

TRl Az oy oslk,  pin:

mylistl = ["one", "two", "three"]

WRIa, TRV SRR R, Fln:
mylist[0]

RORs A LR i
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one
TS (D PR FFHRARS, ERESIFRTHENREILR. N 0 JHEX IR PR TR MR

T DLESES IR P — RIITER; EFONIHEL BN, x[1:3] KksE x 0% 2 DMK 3 PR, 4RER
51 e N 2 T Y — 3R 5 L

FRTER
FAFERE— DA E R R AR T, P78 SR A A T A B AN T AR SR D R BCRLE HAF, i,
"abcdef"[1:4] ¥4 ik "bed",

FE Python W, FAFHIKER 1 KT H R,
FAF H i fEE B R S s = S AR E . (RS 5E RFAT B AR B 1T, i =H 55 & X

MR LIS, WL TR EAERSS () BG5S () . ST RS AR SR 5 T
PREE S CRI, i A SORL () F4F) #9554,

NG|

"This is a string"

'This is also a string'

"It's a string"

'This book is called "Python Scripting and Automation Guide".'
"This is an escape quote (\") in a quoted string"

Python fi#r a4 H a5 I 21 DIS B Far s, XHET DU R i AKFAr 8, JFEERSEG 1
TR TSI, i

"This string uses ' and " 'that string uses ".'

KA LD

This string uses ' and that string uses ".

TR SR A AR, PRI TRk,

6. TP Ik

Tk R

s.capitalize() Xs PUTEFERE

s.count(ss {,start {,end}}) V5 ss 7E s[start:end] HpgH IR EL
s.startswith(str {, start {, end}}) MAIES s =& str IRk

s.endswith(str {, start {, end}}) WiRDIEE s BEHDL str 48

s.expandtabs ({size}) W HIRF R ZHE, 4 size B 8

s.find(str {, start {, end}}) 1E s HAEK str WE—-DERT WEREAR], BALERN
s.rfind(str {, start {, end}}) -1, rfind WNEFIZ P GH%,

s.index(str {, start {, end}}) 1E s AR str MR- DRI WRECARE], A5
s.rindex(str {, start {, end}}) ValueError, rindex M7 FIZE (7%,

s.isalnum WA DL B 45 52 6 R 4

s.isalpha M DU AT IR 1 7 74 R

s.isnum WA DL B 45 5 2 & A 8

s.isupper MU EFFAF BB I RE

s.isTower WL I B A B 2 B A2 RNE

%2 % WAES 19



K6, FRHBTE ()

FHik it
s.isspace M LA A4 R B 2R E
s.istitle MR LA B 45 B 2B 0 E FEERE N R 45 751
s.Tower() o 3N
s.upper () S RN Y NC
a0 BB NG
B R AR X
s.join(seq) ¥ seq TR B EERE, U s EASRRA
s.splitlines({keep}) ¥ s HEINZAT, W keep N true, MB2NEME AT
s.split({sep {, max}}) ffiff] sep (G4 sep WM ¥ s HEI T, WmEHE
max IRKEL
s.1just(width) TETEEy width EBrh, 5545 Hp 2o X 57
s.rjust(width) TETEIE N width IOFEeR, 0T a4 00 5%
s.center(width) o JR— T
A0 AT,
s.1strip() Wk 2 Hi S A%
s.rstrip() G52 RS A
s-strip() B i S R P A
s.translate(str {,delc}) b2 delc RMITEFRG, HHRER s, str WiZREK
FEh == 256 [FHFE.
s.replace(old, new {, max}) A E new 2EREHEHEIE max HBLRECE AT B
old

&t
FHERBIG (HEEIRTS) &) SIARER. [ 47 BT 55 WA SR AR S I 4L,
I oA, s UTR TS DUT @ Bis T & T i 6 H:

#The HelloWorld application is one of the most simple
print 'Hello World' # print the Hello World Tine

BANEE

Python MIEAIIEEAEH IS, W%, B MREMAMITHEE 54/, B expression il assignment &%)k,
FAB AR — R 2R (Bl if 5 for) SIA. W RAFEACHDH AT AT 15 A 2 0] AT A B4R A 25 AT ER
FHAT, WHRFE—THRHZMNER, IBABHE TS ) RIMREER.,

HIEAIR I 24T, XML, E0 2T —ATHiG AL RORAL (\) 458, i

x = "A 100000000000000000000ng string" + \
"another 10000000000000000000ng string"

WERFEA GRS (), F#5 (D 80eiis () W, IR LHEEREE S5 2 8T, A
WA SURAL, - m:

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)
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FRiR

PRI TSR, g, BRI T T a4, RRKEER, ALK ES/NE 5B/ 80T R

QO Ik, DUR RIS IT LB S A0R 8 5 Ik B AR AN AR el 2 A FR, 1E5 — DA e, Filal DUt &

B EHNFEFA, 0 3 9 BT L T RIZTA, JF RX S f 8T ol DUE S 4 .

Jython F ) —S6LR B PR R I FRAE R, BRI AT A 4. X LB 00 o T A1

- EAI5|5iA: assert. break, class. continue, def, del, elif, else. except. exec, finally, for
. from, global, if, import, pass. print, raise, return, try #Fl while

o ZHF|2IA: as. import F1 in

 BEfF: and, in, is, lambda, not FI or

T AR YW H 24 SyntaxError,
KA

AP R BRI O BRI A AL, e n] DUREE T AT ER): if, elif, else, for, while
. try, except, def Hl class, XEEFPHGIANA T SFAF (1) BOMEGEL, N

if x == 1:
y =2
z =3
elif:
y =4
z =5

GRS T E R, ARG Java —FEEHERE S, REPAPRTETHLMGE LR M, X
s PR R AR T R R AU R AT R, R, R gt A, U S TS SR A SR A AT
AR ZERRIRIRLT,  BURAFANE S AT — ST R, & MK A& E SyntaxError,

H A B (DL S EEER ) W LaEE—179, FERIaS 5k, filhn:
ifx==1y=2; z=3;

BSELHRL R
KSR ARG H, WAXFRTTUEEF AT LTI TBW,  Ea iR &2 861E b3
# sys.argv HIEIEITEE, a4 len(sys.argv) Al RIGRIIH& B AR ECH . Flan:

import sys

print "testl"

print sys.argv[0]
print sys.argv[1]
print Ten(sys.argv)

FERR B, import iy & T FARA sys 2, DMEATDLRE X A2 P AP £ 7 ik, BN argy,
AT LU LR A7 98 FH s 45 o A

/u/mjloos/testl mike don

S5 AU
/u/mjloos/testl mike don
testl

mike

don

3
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R
print XHFHHATENRIIUGMSH.  WAIEAFIES, AR SEmHHRY 17, b

print "This demonstrates the use of a",
print " comma at the end of a print statement."

LNV i

This demonstrates the use of a comma at the end of a print statement.

for i A) AT IEACRS R, Bihn:

mylistl = ["one", "two", "three"]
for 1v in mylistl:

print 1v

continue

FERRBIR, K MBI mylistl 2rlc 3 7P, A, BHTENZIIRITR, SR E -1, XL
JICLATT i
one

two
three

TERRGIF, SRR Tv RHRUCR IR mylistl PR IeRIE, B for FRERHT SEBE LR UG H.
A AT DU AL R R AT s .

if EARAMREA, R SRR, HPRIESRESTIRRE true o false,  BiAN:

mylistl = ["one", "two", "three"]
for 1v in mylistl:
if v == "two"
print "The value of 1v is ", lv
else
print "The value of 1v is not two, but ", Tv
continue

SR EIh, xFERR v AT TRME, R v M{EA two, HRAKRE—DFRE, EFRAEARRT v
PMEASE two BFREIAYFAFEE . OREA DL g

The value of Tv is not two, but one
The value of Tv is two
The value of Tv is not two, but three

BETE
AT math BUSTTEA FIROECE Ok, FRIUM T3P —S0rik,  BRAE S AT, AT (R o F
AU

Tk A&

math.ceil(x) B ox B ERRAE R ok [|, BT ESET x M/ R

math.copysign(x, y) BRIEHA y MM 5H x. copysign(l, -0.0) ¥R[E -1

math. fabs (x) RE x [LEXHE

math.factorial(x) BE x prae, W x EOEEAERE, A% kKE
ValueError,

math.floor(x) B x B RRRAE P ok |, BVNT ST x BRI
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FT7 BFTTE (S

FHi% R

math. frexp(x) Hox MEE m MHEE (o) fE N (m, e) XTRME. m ¥
REL e R XHENIFIAE x ==m x 2xxe,  HWUR x A
0, MBI R IRE (0.0, 0), EHMKIR[E 0.5 <= abs(m)
<1,

math.fsum(iterable) RIE] iterable (B AR I VF AR HI

math.isinf(x) T giE s x EIEARE B R AARER

math.isnan(x) R v S8 x 24 NaN (FE$)

math.ldexp(x, 1) BRIE x * (2%xi),  HTEEART EREEEL frexp B BREL,

math.modf (x) R x /NVECREEER Sy, XA & B A x A,
I B AR

math.trunc(x) B’ WA Integral [ Real fH x.

math.exp(x) R [A] exxx

math.

Tog(x[, base])

REIPIZEE(E base MJKHY x MIXTEL  UHRIEE base,
W24 E x4 E SRR

math.loglp(x) B[ 1+x (base e) HYHERX &L

math.1og10(x) RMEIPL 10 AR x BYXTER

math.pow(x, y) B[ x By YR, pow(1.0, x) F pow(x, 0.0) FFIHZIR
|1, BIff x & 0 SR 2 ant,

math.sqrt(x) BE x fFEITAR

BRECER B, R T A M = MRk, TR TRk,

£ 8 =R

TiE A&

math.acos (x) R EPIERRE x I RARTE
math.asin(x) BRI DI EERIR ) x R IE5%
math.atan(x) REUCERR x WRIEY]
math.atan2(y, x) REPIER AT atan(y / x).

math.cos (x) R EPIMERRT x IARTE.
math.hypot (x, y) IR B L BEARTEE sqrt (xxx + yxy),  FEREMESI A (x,

y) HIEERRKE.

math.sin(x) REPITERRT x IEZ
math.tan(x) IR [\ UK R RA x B9 IEY)
math.degrees (x) B x IR R ol
math.radians (x) B x ERAS KT
math.acosh(x) A x RO A A
math.asinh(x) IR x Y BORUH E LA
math.atanh(x) RIE x [ RO IE I
math.cosh(x) RME x BRI AR ELAE
math.sinh(x) R\ x AR A% E
math.tanh(x) IR E x BB EYHE
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AW R, math.pi RIECVECAH R pi. math.e MIEAECAH R e

fEH3E ASCIl FfF

Bl HIdE ASCII S#4F, Python 77 2B MUK = 4F B Jm S MRS & Unicode, #£ IBM SPSS Modeler H, {
& Python AR UTE-8 #F{74uh5, X &4 ASCI EMFMFRUE Unicode Zifd. LT BIAKHATSIE,
XSEF K SPSS Modeler B2 Python Ziif#six B & UTF-8,

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T A F./— F", 95, 64)

(B2, ATy nUf B AR IE# AR 28

o)
Ioll

AF$EVAETEE SPWERR
[ 3. HR R 5 IE ASCIL FERF 1 1 abn &
FRZRIER, B4 Python CUKEEFFHRFH(HE By ASCI FAFH,

Python il i ££ 7 4F H I E AT N u FAFRTZER SCRFAEE Unicode 34 H3 [ {H:

stream = modeler.script.stream()
filenode = stream.createAt("variablefile"”, u"T A F./— F", 95, B4)

XAFAIHE Unicode FAFH, IF HKF IEWH RR%E.

A Pt

[ 4. IEBBRATE S A ASCIL FAF R 15 mibrds

i/l Python # Unicode J&—EH KA LM, EHHE TASUHMEE. RE TVFZX I 28T TR0
ZRH) A5 RE FIFE L BT

A R P

TE [F) % G2 O R P v 2 TR e v 0 H A T AR A A8, AT [ 0 R AR P i el b 1 A i e Al ot 174
4952 M. Python JE—FhiMXI R AYIES, LI Python & IR EA T SIFHIL:

« 1B8EK. BN EEDAEAARE, I H AT DO HAFESA TN, s A1 is not JHAA AT UL H K,
© KT BOXMPELREGARIRE, Btk (GBS eiAs ) wl T HE .

* ATA. BIXMEELARES AR, Jrka AT E .
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Python 4 it 1 S 4R 1) X G A R PP 7 B9 SRR

« ETFEIMREE. REMTRIEX SN, X GREA KT A I EdE 1.

© BEMHAK. Python SFFRAKMZEAK, B Python LGN E#REA 24N, I HATRIMFRE &,

- BRREEENTHE. Python VFREUENE. RURUE, f HABEE 07k WA M X L JE e, 2%
SEBL T e O R U5 k.

EXHE
£ Python 2R, WJDUE AZRMI Tk, 5 Java AfF, EATRIFE Python ARXF&EEAESCHF (HAHL) & TE
BEMAILZ, Bk, nTRIAK Python HELEIEMEIT Java H 4 {F (.

1 Python ", JEMA] class IE4)E XM, class iEAIAYAEAINT:

class name (superclasses): statement

af;

class name (superclasses):
assignment

function

S SCRI, R LR FHR A s DR B ETER). X SE R T R B R 12 2R T A Ll 3L = 1 SR .
BaE ] LRI EA A DL R s H0E L, XS UE SO R T L. RPN,

FER —AF kb CRIBEH, B ) , RARIZME—, T L 2 A5 E SO S HIF — 2K,

£ 2 T
FEHTRAFZE (b)) B, s AT eIddesed], FOIEIEARMILH], Rz R Bkt #
m, WwHELT%E:

class MyClass:
pass

XH T pass WA, FONTHE-MEARIEME, (AT EUGET XIITIL M #4E,

PUFiEARAIEZE MyClass 1Y SE4:
x = MyClass()

BESSSUIAYI Sk
55 Java R, % PHUATBIAE Python ISCOURIRIE. R~ MSSOIRRAET. Bl BRKH x
HUREE, S0 B

x.attrl 1
x.attr2 = 2

x.attrN

EX KBTI E
LTI EAEI P R AT A K . AR P SR R AR IE ik, kRIS S CEH PR self)
ENF—AHAR,  fn, BUE (—JEPERTrk, Gon] Dl A LU AU

n
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class MyClass
attrl = 10 #class attributes
attr2 = "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3  #make an alias for method3

TEZR, TR 2 A B A X 2RI RS, fln MyClass.attrl, [WiZEH self A8 FHRRE B A X 5L
BUBYERIGIH; PN self.text, (EIIMI, WV IZM IS (HI0 MyClass.attrl) siflfi IS SL] (44N
x.attrl, Horbox RERSEE]) BREFTAXREMEMTIN.  TEFIMER, WAL HZER SRR E BT A RS2 i
IS, i x.text,

e =

ATLLE T e £ A ok s, € AR et 28 Bt fTvsl, RS ACE _ xxx 30 _ xxx_yyy
CBI, HAMNAHE TR 2R, B4 Python fENTHRK B 2him fHBA 19 2 FRES N2 4 DL e R A8 =, 1]
an:

class MyClass:
__attr =10 #private class attribute

def methodl(self):
pass

def method2(self, pl, p2):
pass

def _ privateMethod(self, text):
self._ text = text #private attribute

Y5 Java AN[A], fE Python FRAAZfl self BRZEFTAXSLHIALRITIM;, REGHWMER this,

MIEHEATARAR B DY RE 1T [ R A RE P UL Y20, Python [ SCRPHANRMZ HAR,  HIORIIS REETT
FE—EK,  ZEPRFRUGFEZ K,

At i X AN 0y 7 IR, IR 2 Python ZRARHILURMEZE, 1 Python Y Jython SCHiH, *
A~ Java AT HAESUREAOR, o R AR,

A AT ] P BT i B S AEAT AT 726, JF H R EUm Pk s R G0, 28 E B 8T - Ut n] DL6E
YRk, AT RAEAR A 0 B A AR AT S, I EBLaT DUGE RS2, X MR, X
R SRS S R,

il

class Classl: pass #no inheritance

fE M —

7

class Class2: pass
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class Class3(Classl): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance
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%2 3 E £ IBM SPSS Modeler Ri#{THIZA Rl

i

16 IBM SPSS Modeler H1, 5 3 B [ B4

o JEIA, TR AT IE BB AT .
o TR, AT S AT R,

o W EL SR, o TR 2 AR I PR

R4 THE IBM SPSS Modeler H I Y ZF0 0715, BT DU X L8771k Vi (W) 45l SPSS Modeler 1)
e JIAh, SXBETFEOTHES 33 TUNSS 4 %E, o ARG APLY | b T QU B R I R AL

i#t. SuperNode jfiFnEF*

ZRAEOT, XN FIRE — N, TR SR RIE 2 SuperNode O FARGIARZANLL, T H 17
LT, EFRRERAE—EIFTPATI N RS, (R, A BRI AR R A 1T #52 SRE, IXRIR AR
BN G V2 HITE AT T IEAE A PR AL AL

32

i

fii/eE IBM SPSS Modeler UMY, IR HUEATIRAF, A, ZbAIEGT. WICR IS8 2RE, 3
A, LR A S B H HoAR A5 B

SuperNode iji

SuperNode it SuperNode HAT FHRYMZERY,  ShpfEi —#, BEAESHEAE —-ERT A, SuperNode il 545

T AAAE A T AR Z Ab:

© ZULLRALTA S HA SuperNode #if) SuperNode FHCHK, TMiAZY SuperNode i B HCHK.

* SuperNode Jii 47 Bl i i A RIS HE 7 B2 858 T 05, X P T SuperNode [{2R7I, XSGR A THER
SAFIGH SuperNode i, I HAEQIHE SuperNode 2 J54rH ShAN7 X o34 f2 45 75 &,

EES

XA ] R s AR fE AT SuperNode JiE ¥R SIAE, BITNASAAIMIER 155, DASAB BN sl MY 4%,

HATH
DA R A5 T RO BEAT AT 19 8, 9 ELE AR B I A

modeler.script.stream().runAl1(None)

AR 7 Bl K 32 A7 0 69 BT T h AT 9 A

stream = modeler.script.stream()
stream.runAll(None)

FEMR G, FAFRAEA A stream BRI, FAr e e P ARR A M, B9 IAE & M T B B0 g+
1R DU o9 15 I o B GRS ¢ e 7 it 0 R z00 T

25



R 7R 4w il £ TS 3L

modeler.script MLHR L TAEH AP PATIA R L3, HEPCR s T H 315 A SPSS Modeler A,

WA LTI 4 ASeREL 3080 bR B AHE AT DL () He P AT 30855 ) AR

« session() BREL, JHTREIMAR S, o3 E O S RS B Ti2HEMi A SPSS Mod-
eler J5u ( ARHUEFEoIER] SPSS Modeler Server) .

+ stream() BREL, MCRRECT LIS A SOB T SURA RS AE . R B IR B IE RIS AT 1 0 R AR 508 7
AR

 diagram() eREL, MCERECT RIS SUMAEC S ET. ek RO R [ Y S AL T A R A SR,
SRR R I N AS S stream() BRECH .

* supernode() PR%EL, MBLRRECRT DS Y SR S M. R ECR R FHAA IEAE 12 1T R IS (4 19 AL

TR TR DU R B A

# 9. modeler.script R
[ il session() stream() diagram() supernode ()
G IR A 2 TEPHIZ AR IR [ | 5 stream() #H[F A H
W& (Flhn, @
AL TR, -stream ik
TN A% 4 ) o

None,
it R[] 253 1R 5] it 5 stream() A g
ERE 1R [F] 25 i PESEIR PEQEIR SR pEenk IR (5] T

modeler.script FEBLAE LT —Fff R HEALZIEMAR K. exit(exit-code) PRECKS IEHATIIAIFIR
IR T B2 116 ) B HGR H 1,

DL AE S HHR —FP D75 runATT (List), M7 R adT BTA rTRAT 30 5. PRAT 9 et 2 ) A o A Y e
AR 2 B AL g SR A,

TRPRATIE B A BB RN R S DL e oAt o, BRI, AR T DU — M GG fE oA B R AR R,
n:

stream = modeler.script.stream()
results = []
stream.runAll(results)

PATTERUGE, FTRAM results FIFETIIAAT BT AL BUAE AT R 42,

5IRBBT R

B R - S HAEUCARER, FEPITRZAiDAUEB IS, BUsX S T A5
L FEASCHL R B A

2. HHCH ORI/ B,
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BEETR
VBB T SRR TR TR, FARIEA TRk,

F10. EHRIA T A5 0 J7 ik

Fik REAER it

s.findA11(type, label) £H 15 (8] HAG 45 5 SRR 265 1 i 19
G,  RANSARZ AT PIA None, 7EIX
g 5L T 4 Al H A 24k,
s.findA11(filter, recursive) £4H5 IR [ 48 8 T IR AR T I S W T T AR AR
G, WRBEREN True, ALK
8 ZRA 2 UL P I Ao Y L
s.findByID(id) THEN) 3R [ B AR AR IR A T 255 None (41
BARGEAMZET ) . HWREER A
I

s.findByType(type, label) EP=T0) S = W S/ e B A o S (R
M, BRI AFRET LI None, fE3X il
BT EE R M SR mRF AT
RUCHL, B2 B R AL — A
ML WA VLAY A, B AaR E{E
>4 None,

s.findDownstream(fromNodes) £5 MPT R T B R P AT R, JFR
e S S (R S S Y 1
HFRATHE AR AL 5 5L
s.findUpstream(fromNodes) 5 MITEEALAG Y S A R P AT &R, IR
B IR A5 5 LI ARG, R E
Y| F G4 S W R AR T AL

an, AR G A T B TR A B I AL IR AT DU DL T AR AR B 1% i

stream = modeler.script.stream()
node = stream.findByType("filter", None)

FAN, R L HGE T S IAR R CUn SO IEHE f R IR IR R ), IR AT DU AR IR R A R A,
fian:

stream = modeler.script.stream()
node = stream.findByID("i1d32FJT71G2") # the filter node ID

EREM
. U BRI AR S RO T 0T LU R, R TR MRS I MO S

aOAMIL, R AR TR T TR R B X G A T k.
K 11 AT Vi [a] RIS B X 58 P 0y ik

Fi% REZEAR ik

p.getPropertyValue(propertyName) | %% R 48 2 SR A S None (N ATFTE
seiEtE) .

p.setPropertyValue(propertyName, | A3 BEETR B RH,

value)
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K11 ATV EX R IGIERI T5E (4E)

Tk B

iR

&

p.setPropertyValues (properties) S

WEEERENE. BRI
HE W& — M Fonm an s, LIy
HE BT,

p.getKeyedPropertyValue( it
propertyName, keyName)

IR [0 5 R JiE 1 B (B SR K B B None
CISRAAFAE S SR PRl )

p.setKeyedPropertyValue( Nid
propertyName, keyName, value)

BEE AR TR R (EAEE.

fn, AR B BT A T AR O B A A SO T R E, IR AR UG LL T A

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)

node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")

o, T REA EARE I E Y RO IE T B XA DL, IR E T B AR A, Bl:

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

BT R RIEMAR

FEFLCREOLT, TR f B BA RAS I Al B TR n0E W W KR AL

2. A5 SRR BT,

tETR

WCHR G T SRR R, TR TRk,
F 12 Gl RIATr

ik R[EIZEE

ik

s.create(nodeType, name) 1 AN)

D B A A S R H R
FEE M.

s.createAt(nodeType, name, X, Y) T EN)

A e B A 48 8 R 1T A IR A i E
RERFPMIEEME., WER x <0 5§
y <0, IPARBEENE.

s.createModelApplier(modelOutput, | 735 (N)
name)

Bl IRA H B A AR a0 R AR
TS % 1 AL

fian, BEAER QIR RN A, R DUGE DL AR

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")
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HEZEMBUHBET S

FES R GHEFT I RN, XA W R AU BT RUF A, REA IR, AR T 2R RO B
TR, PRME Tk,

H 13 T HEB ARG % 15 ki 19 T ik

Fik IRE|ZEA iR

s.link(source, target) ANiE H W S5 BHAR T S Z A E b 2.

s.link(source, targets) N3k H TEVRTT S5 AR g5 R b A B bR
S AR R,

s.linkBetween(inserted, source, tar- | Ai& TR AN HA T S S PR S B AR

get) T ZAWA AL, IR T A T A

{30 A A 2
¥ e L 1 2 4
o B e,

s.1inkPath(path) i e A O R, AT
SRR BN AT, TR AT
FrRE BRI A, R,

s.unlink(source, target) NidE B 2T 5 B AR 2 A AT ]
HEtz,

s.unlink(source, targets) ANid bR LSS HRIRP SN NS 20
AT ] B e 5.

s.unlinkPath(path) Ridi ] W 25719 1 S48 22 (AR AE B AT A B A,

s.disconnect (node) it % 25 T £ 4455 0 5 4 2 U P AT A A 5
v UEEROE

s.isValidLink(source, target) MR 2RAEAR 2 MR 5 B AR T R 1R

R RO A, B4 TT o AR [
True, BEI7EEA AR DX R GO TR
THER, WA RO AT DR AR D
L E AR m A A] LA iR, JRafiA
BB AL T EIEE.

T HE R BIACK AT 5 AT 55

L QAR R S AT b SR T AL
2. KK Sy ST i,

3. FECAR RS R S R E SR A,

4. R HE R L S DR B .

5. PUTERI R,

stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)
filternode = stream.createAt("filter", "Filter", 192, 64)

tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)

stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
filternode.setKeyedPropertyValue("include", "Drug", False)

results = []

tablenode.run(results)
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SN, BT =

'3@]1%%[1 B R, BRI PR AL TREE T TR B HCRIER T R T

14 HTFAL BB TR0 5%

& At

i

replacementNode, discardOriginal)

s.replace(originalNode, i

IS W BAE AL R SR
BT SSAER I TS R .

s.insert(source, nodes, newIDs) VIS

TEFHR AL R IR AT A A, B
FE PR LA R (A T SR B eSS
FEWH.  newIDs ARAEFE RN 1% A EA
A AU AR, IR Y 1% A
BUARRIR, B I R T A T A5 AR A
—ARiR,  XFEAE IR S S A A E A
WF, DAKIARERE A True, I
T7 KR B R AT IR, Rk
AR W IR (R, PR —
S BN ST AR ) .

s.delete(node) it

AR E T MEREE T, 1T R
J&THEE L.

s.deleteAll(nodes) S

G ET BRI AT 2 s, EHH
W T AR AR T8 I

s.clear() NaEH

MAFERE L R R B A9 AL

i_U_JUIL':F'EI'J'P,.“

PRIRREE Y R I R A Y SR — U ILRE SR, R T - SR AR SOk, TR T
LIk,

KIS TR E0F 15 R 1 49 77

& S i

s.iterator()

A CIRDOE i=pch e sk N URED R LS
RAE. WERTE next () BREU U ]
B FIEAT T, A4 B 2 S
A AT A,

s.predecessorAt (node, index) T E(N) 1R[] R AT ARG E E AR T EL None
(WRRGI ) |
s.predecessorCount (node) int 3R (5] T AL A5 ) B T A B
s.predecessors (node) S 35 [ T 445 Y B R,
s.successorAt (node, index) (N IR ] BT AR AT SRR S B R 4650 None
(MR RG@E B .
s.successorCount (node) int 35 (] T (35T e Y B S AR AR
s.successors (node) LIES I3 [ i 4R AL R A T 4k,
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iBRR SRR AN

[HIAA G SRy clear 4 BY& M, FI40:

« clear outputs FJ~ MAAE B 0 FHAR H B3 T A5 g 1 0,

* clear generated palette FIT MALHYIE FHAR 1 bR il A R AU B,
* clear stream HTEEERMNE.

Python A G5 SCHF — ALHMARY R %5 removeAl1 () a4 HIFIERIT. i th ANBCRUE #2R, Bltn:
o IHFRIE B AR

session = modeler.script.session()
session.getStreamManager.removeAll ()

o T BRA R

session = modeler.script.session()
session.getDocumentOutputManager().removeAll()

o TH BRI B g

session = modeler.script.session()
session.getModelOutputManager() .removeAll ()

KT RHHEXER
A WIS, DI S AR R I, BRI SRR 1 8, /5 AR O T —
] T 4R35 ORI 0 .

TR TR T ARBOCY SRR, BRRAIRAE R T Ik,

16, TRV S 19tRiR. BFRFIRR SN ik

Fi% G el iR

n.getlabel() FAT IR A8 T SR B AR, HATEEE
custom_name J&dE= FAF H IE H B M
use_custom_name £ HEAT ¥ E 11E B
T, WEA T —EERE; B, AR
ZJ& getName() HY{H.

n.setlabel (1abel) i H BCE R E WA RRIRAE, WRTRAE
HAEEER R, oW A8 2 5 m
custom_name, JfH <K False f§E4
J& P use_custom name, DIEFEERIFR
e, BN, SEEFRERESR
P custom name, JEHf True 15 ELIE
% use_custom_name,

n.getName() FAFH IR [E] 8 E I R AR,
n.getID() FIF IR [ 4E TS ARIR, BRI

g e ol b TR A AN LRI X (R
B AL S AT PR AT IS, A PURE BT A
—BRFALE, LUEAEST TFIIS PR B 1Y
SRR B, R AR AT AT
AL, IR 42K E AR S A
X G N H AT — BRI,
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TR TR T RIS AR AR S AR B T ik
17 TR SR B 77

FHik IR[EZER ik

n.getTypeName() FAFH IR ALY S AR i A4 FR. A4 ARRN
S r] T A A% A L Y 44 R,

n.isInitial() TR 1E PUE R e 5/ i s =W O R (VA R ]
FHEN BT S, IBALL kiR [a]
True,

n.isInline() i 25 1H TR SR AT A (R, AT
BRI AT, B AT KR E] True,

n.isTerminal() TR TR I o e s CBRI, TR
ERM BT S , ATk [F]
True,

n.getXPosition() int R SFER PR x L B RAS R,

n.getYPosition() int RETSTER TR y BB R,

n.setXYPosition(x, y) A P T AR

n.setPositionBetween(source, tar-| & BB T SAER P AL E, DU AT

get) ALY Sz ],

n.isCacheEnabled() iR 1H WERE A m R EE, BT R R
[ True, &HNPKIRFE False,

n.setCacheEnabled(val) Nid XX % A ek s g fr, R
R AT O I HL = A7 D e ik A 25 ]
R, IBARBEEHHEITEC.

n.isCacheFull() TR 1E RO SHELF, B2 R
[\ True, 7B E False,

n.flushCache() Nid THA M AR AE, IR R AT
AJa B R0, AT A RAR AT
fEH.
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% 4 F HAK%E API

Rz 4w API & 9T

JEA T APL $RAEXT & FURE ) SPSS Modeler FJREM VTN,  H RIRIARI A H ik APL M4 REERS, W]
DUFEBAAS P B s 7 ] i S8 7 gk i AR BT — 2 S AL B2, WHERESIH APL 28, JB22675046 HDL T iE 4]
BT A APL

import modeler.api

P AR VF 2 A SR AP 7561 BT 7 #Y.

f£ (IBM SPSS Modeler 17 Python A% APL Z%45mg) Ui, fn] DRI A Sl APT f2fEi)
K. TTEMBHH LG,

:Tifﬁﬂ' 1§§}¥quEfEU1~_dﬁ§|q:|i§gigg

[ 27 BUAY ¢ AR T A Fﬂ?ﬂﬁT?é?@‘iﬂ?w SRR B IR A R A S R SR, AR
MF, FERATENEAMEE, JFHIEZE A NodeFilter 2RI findA11() JFikseacil, XFhigZ
LG DUR A A5 B

1. AT B NodeFilter JFSEH accept() Jrikiy e Hil LA BIHI 2K,

20 (EUEHRM BRI findA11() Jrik.  XFRE AT E accept() JridkiHa SIS 7T AL

PAR 7 1 s A A3 F 2R B8 T R e 1 s, BINaR [ A9 3 813 mT 47 25 At X 240 A fY 8

import modeler.api

class CacheFilter(modeler.api.NodeFilter):

'"""A node filter for nodes with caching enabled"""
def accept(this, node):

return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findA11(CacheFilter(), False)

THE: BXREENER
T O BT AR L — 2, PRBCRBR A1 A o] FISUSL 7 B (5 8. Ik, 7 Modeler UI ,
S5 DG PR (5 LR MR B HE P T I 7 B, B MR B

AR Al DIV TR R, Tyt A HE T AR B X R A, S AR AR AR R Y, G,
“HEFP W R OOHE R AT IR, (A SRR, R R (B, IRAT R RIS TR
HAT & Coan, i gd 3 ai) nl 5y 24 s bR 5 B

FELUR B, AR IURHER) IBM SPSS Modeler druglearn.str Jit, Jf&A7BAgE — O MERH AR
AT BRI, DU BT

Lo A R ] A R,

2. FE i R R R R T BT BL

3. BRI AT B SRR AL
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4. B AR AR,
5. BATRERIMEE Y AL

it 1 druglean.str W7 IAZ AT, L0 MATE S RE N Python (YESGRTAIAR IBM SPSS Mod-

eler O AVEILHT, HICRE EIIAAS T 5 SR A B .

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue("use_model_name", True)

lastRemoved = None
fields = typenode.getOutputDataModel ()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", TastRemoved, True)

# Remove the field
TastRemoved = field.getColumnName ()
filternode.setKeyedPropertyValue("include", TastRemoved, False)

# Set the name of the new model then run the build
c50node.setPropertyValue("model_name", "Exclude " + TastRemoved)
c50node.run([])

DataModel Xf ¢ § 4t T V7 [l Adla S50 v 3 B (R B 0I5 B 2ROk, TR Tk ey ik,

K18 ATV 7B B 2855 E 1) DataModel Xf 577 ik

FHik IR[EZER iR

d.getColumnCount () int IR B B B R Y B4

d.columnIterator() A 35 [ 4 B AR 4 AU 3% 8 45 400 1 3R A
A, ERARE G5,

d.namelterator() ERE IR (B4 Bl 4l AN IR 5] 45 31 44 BRI
ERA.

d.contains(name) i R E MR DataModel H77E7E & BT it 2 Fx
B3, B4R E True, 750K [MHE
False,

d.getColumn(name) 7l IR [E] & A R AR A,

d.getColumnGroup (name) ColumnGroup MRARTEAEMZESNA, TR23R [ E Ay 4
(1951 20 5 [ I,

d.getColumnGroupCount () int 3B [ b A AR v g A 2R K

d.columnGroupIterator() EREE MRUCIR 8] 2% [ AT A A £ A2

d.toArray() 2| TR R R AT, e Bl A
WP % AT HE

BATER (FIXE) WFHTURIERNZ Mk,
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£ 19. HT ViR 515 BAGFIR G5 i

FHi% REEER i

c.getColumnName () T 1 [6] 51| 4 FK.

c.getColumnLabel () FH R ARAEAE S S C BRI AR AT AR 4, IR
2R BB AR 25 iR 8] 28 F AT B

c.getMeasureType() MeasureType 3B (8] g 2

c.getStorageType() StorageType IR 5] 0  A7-Aif 21

c.isMeasureDiscrete() iR 1H WRSE S E, 2R E True, 2%
YE R GBARIC B B,

c.isModelOutputColumn() TR 1E ISR 51, B4R [E True,

c.isStorageDatetime() i IR ME TSR B A7 st E], H A ]
8, A4R[E True,

c.isStorageNumeric() i 7R 1H TR B 77 it 2 BB SR, I 40R (1]
True,

c.isValidvalue(value) A IR ME AR 2 BB A A R, B4R [E]
True, HERCHAGRMIIE, 2R ME
BH.

c.getModelingRole() ModelingRole IR [B] B1) 1 g A A

c.getSetValues() POEAN| IR ERSHE IS RES, B2RMA
B A R(E A R [ e,

c.getValuelabel (value) T H QR AL S A R R AT AT AR 28, S
2R B B AR AR 28 B3R B 25 P45 Ef

c.getFalseFlag() XF4 WAREAR M BE AL, AR E
YY) “false”FEArME, SORME T,

c.getTrueFlag() X4 WA EARAECE TR EbRE, 2% [E
G “true”FRARAE, R [ FE,

c.getlLowerBound() MIE S WARAE AR M BE FIAELE, A 20 [ 5]
HE R, s R E,

c.getUpperBound() POE MR E AR A AR ES:, 4R E S
HE R ERRE, BERE A,

WER, VHAIER R ZHIEAE DataModel XA GHE LT MO, B, DU PR AR,

dataModel.getColumn("someName") .getModelingRole()
dataModel.getModelingRole("someName")

IEIREE 2R POES
AT S 00 L A SRR i e 0 5, X SERRATRT S n] RER AR AY, i n] AR AR AR S AT P A RO
JsNibki g

LU RBIF, druglearn.str JEFR AER ARG S, FEIORE, KBHAFRP IG5, JFHE BT
EESN R, RIG, AR R DX Segs B 3 HARAT BT = A AT (] S 5y 4R 5 4777 TBM SPSS Modeler #4
Al (Lgm) SO, MRELE DL PMML A% 5.

import modeler.api

stream = modeler.script.stream()
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# Set this to an existing folder on your system.

# Include a trailing directory separator

modelFolder = "C:/temp/models/"
# Execute the stream

models = []
stream.runAll(models)

# Save any models that were created

taskrunner = modeler.script.session().getTaskRunner()

for model in models:

# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelQutput)):

continue

label = model.getLabel()

algorithm = model.getModelDetail().getAlgorithmName /()

# save each model...

modelFile = modelFolder + label + algorithm + ".gm"
taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML.
modelFile = modelFolder + label + algorithm + ".xml"

taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

S5 iafras IR M T — P T4 U WA S OB 75K, F Rl 7k iR (A 7 ik,
% 20. JHTHRATH WAEF WL S8 1T a5 K07 ik

name)

FHik iR [E 2R iR

t.createStream(name, autoConnect, | i BIEIFER BRI, HERE, WHLIAR

autoManage) 5 FEI 2B I T A ) P SR R K S g
AN 1% 4% autoManage FRAEBLE N
False,

t.exportDocumentToFile( ik o 4 2 0 SCAEAS ORI A S 25

documentOutput, filename, i

fileFormat) ’

t.exportModelToFile(modelOutput, | A i FHHE 2 1 SO A% OB R 5 S 2 S

filename, fileFormat) 4,

t.exportStreamToFile(stream, file-| Rid@ i I8 5 1 SO A ORI S 2 S .

name, fileFormat)

t.insertNodeFromFile(filename, dia-| ¥ & (N) IFE B SO PRI R [T A, SRE

gram) HAGA PR E S, HEE, ok
AT T TR S 52 B3 A X G R Y A6
£,

t.openDocumentFromFile(filename, | LAY % H FE & S B R [ SOk,

autoManage)

t.openModelFromFile(filename, | #ifl4H TG & SCOF SR IO [ AR

autoManage)

t.openStreamFromFile(filename, | FE & S B [

autoManage)

t.saveDocumentToFile( AN W SO R AR S48 58 19 SCHFL &

documentOutput, filename)

t.saveModelToFile(modelOutput, file- | i PRI A7 E 48 2 1Y SO
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% 20. AT H WAL AT 181775 K Tr ik (25)

FHik IR [E]RA ik
t.saveStreamToFile(stream, file-| A&/ K AR AT 238 2 W SCH L E .
name)

SISER7 3PS
Python ¥4k THlIL try...except fCRMSLBITIIRALH . T BICEIA P G Oy v i S,
JE AL S EUNA L L 1714,

HFELU T R4, 22 IBM SPSS Collaboration and Deployment Services Repository H 2T it
BAENTRES SEU W R, FIUnm] GE R IE M B A7 SR I BUE A6 R IR AR 5 R, FEMARF, XJRES
SEMlH ModelerException (IBM SPSS Modeler E 1) i 54 #FUk A= H modeler.api.ModelerException) .

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

i ARG HIERE N RE S S EI AR Java R, XS REIFIEIRAEE ModelerException, ZEHARIX L
SEH, TR R INRY except HURIIRITA Java B, 40

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

. SEMETY S

SHERBE T — FIAE BT IAG 3 (5 1 A R AE A XX SO AT g s A ., S8 E R 2 U K
H5@AHE, BEXHRSE T SMSECERTHNEFEB AT, WM ST —~4HH
ParameterProvider X% @ X REL, WITFRFAR, SiE#RMET getParameters() ¥, i HIKR R [B] & SLiX
LG E S

% 21. /1 ParameterProvider Xf5 & X R%L

Fik REZER R

p.parameterIterator() LA IR [ X 5 (1 2 84 1 AR R
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#21. /i ParameterProvider Xf5E X HIREL (£2)

FHi% REER iR

p.getParameterDefinition( SHUE X R [ BA T8 E AR S50 S 80 L5

parameterName) None ( 4nARG4R AR P P RAFTE L S
B . GPRAT DU T I J BRI B
PR, O HORTR 2 e o 4 R 7
XFESEUHAT AR AT 5 228 L.

p.getParameterLabel (parameterName) | F4/F 5 R 38 E S HRIPREEL None (IR ATT
TEHAESH) |

p.setParameterlLabel (parameterName, | /id W E S BN IR A,

label)

p.getParameterStorage( Eeeaig B [ 45 E S EUNAEAE S None (UNSRAAE

parameterName) TEREBE)

p.setParameterStorage it H BEEIRE S BIIAE.

parameterName, storage)

p.getParameterType(parameterName) |Z¥iZsHl IR 48 E S B None (AR ARHE
TEHESH) |

p.setParameterType(parameterName, | /i B8 E SIS,

type)

p.getParameterValue(parameterName) | %f%: R EIFE ESHUNE L None (TR ATFELE
HESHO .

p.setParameterValue(parameterName, | A~ id W E S,

value)

FELUT 7RG, BAILA T —28 Teleo Bl UIEREA BT IIBAZIERIXIR. MR, H6HLX Ri E —
MRSHL BT, RHE R P O Z S BN P HERR X, SRR AR AR A A A R R A,

%ﬁ%ﬁfﬁi,Lmlﬁﬁ$$%iﬁTﬁj”%u,ﬁl%ﬂﬁfﬁj”% Rk P H AR AR A Y
fH, B, WEFRBUCHER, X Uik &2 8 T8 Hrm .,

B JEIAS 1 5 — %ﬁ%?@hﬁ%ﬁ ﬁﬁ%ﬁﬁﬂ TR A TR, 535h,  BEAIERE AR I3 SO
BORAGRE D PRI A, FRR XY R A — R,

import modeler.api
stream = modeler.script.stream()

# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)

statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
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selectnode.setPropertyValue("mode", "Discard")
# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

V7R A iy i DA 3.

P i \ i .|
.-'r i 1 .l‘{ LY C FEEE
(3) - — |3
telco.zav Addragate Tahle
Select Type churn

[ 5. R PRI A Y
AR (9 LAR &850 TSR O LR SOR B <R kL

# First execute the table node
results = []
tablenode.run(results)

AN BIAARE LT 80 U AT s B A s R it B, BEMARKE R R AP R S AT AT, DI

T HIA AT X 5,

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

JEIAR B8 LA 3506908 P U e AR ) DX o B0 G i Y i B “LowestRegion™ i 2 8. X5, EMIINZREE

B TR XS AL T, SLRIAK s T B A 45

8 4 B ARG AP
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# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

SE R MR B A U0 T B,

import modeler.api
stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount ()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
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row += 1

# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

£RE

EREATHERETFBRNSIHLES. o LHERNESAT O & V7 X 2B E, A, TR A%
ville R, X—GAS5RSEE. RESHRSBMERET, REKERE D E2RET it 8 shit
T, AR A i ol i ATk 2, W LUEE Y getGlobalValues () J7 ik ml 1% i 4
JRfH.

GlobalValues X4 SCF 3 H IR 1 R £L,
# 22. GlobalValues X5 i & i IR %L

Fik A il iR

g.fieldNameIterator() ERE BREE/DEE -2 RENE N TFES
i EE i

g.getValue(type, fieldName) 4% IR [ 5 8 S 7 Br 44 FR 1 4 R

None (UMSRFEAENME) . BEIRKFRATY
AE R AE 233 [ 4% Fh{E 26, (58 11
3B [
g.getValues(fieldName) 2] IR A E S T B AR E A A H A
5 None (MR IZFEEAIERE) .

GlobalValues.Type & XAl FIMIL G AZEAL, Al AL B g it an T
o MAX: FBAYH A,

* MEAN: FEIMHIMHE,

© MIN: FEHYi/IME.

 STDDEV: FEibnifEZ.

o SUM: FErP AR,

i, DUF AR WA F BB, I E R B A R s R
import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")

ERASZAHR - ML
TR, WA LA, TR TBM SPSS Modeler UL PIARHRALEFT L INA, ] LI ZEH AT
Ty 2 FAR IS IAAE ) 6 AT S HOE T 163,

DAL IAKEAT TN, e — A0 A A, T 86 A0 P T 2 i T A 204

o 4 % A% apt 41



# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/17/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunner()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to_K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applych0.setPositionBetween(derivenode, histogramnode)
plotstream.linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.run([])

# Finally, tidy up the streams

buildstream.close()
plotstream.close()
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% 5 8 WAREHRD

A ] B A A R I O v, A B O aA T, TEMA R s &4 L K ijil] IBM SPSS Collabo-
ration and Deployment Services Repository )X} 4 %,

EEIRBAT
SETIAT, R TIE PO UM . ST, AT BRI, =
%ﬂmmmﬁmﬁ,mfmﬁﬁﬁﬁmm¢/W%m%LxmuT$%.
AT A,
2. il TEVRS | M B e R I
3. R A T ) M S 2 5 T

X RBATRER

EATRUGEA for FRERXTIEAAYFTA W RUEATOER. B, LU PO IEIAS S 6 X B 5 S AT A 2 i
{F”% RN TFERAER RS,

A DR 98 R AT I R G LA, B Sebs B JRAE T Be 2 ant, R e ir i 7 B
e Y R RT AR A A B B R O RS

# Alternative 1: using the data model namelterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# namelterator() returns the field names
for field in node.getInputDataModel().namelterator():
newname = field.upper()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName().upper()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

VUHIASTE S 570 W T A 1 SR HEATOE3F, PR E AT SRS A IET A, RE, IAHAKIEZT A
A FE, JFTH field.upper() 5{ field.getColumnName().upper() RECH ZFREUCAKRE.

VRN
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SRENPOES

R E 3k IBM SPSS Collaboration and Deployment Services Repository [fdi I a], I a] DU F B AS iy &
ARG, KR, BUEMMSiT g, A s, v RIFE Y R, T HAE I R 35 X 4L
P32 AR TR R AH S T00 0 %) 5 1) A A R 3 R A 4

%% IBM SPSS Collaboration and Deployment Services Repository
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B, W el IBM SPSS Modeler JH /5t T H 32 Bl i i 247 8 57 EZ A R I A 2L
HHE. (EZMREBEE 58 7R 1 IBM SPSS Collaboration and Deployment Services Repository %3224 1 |
KWEZFERE, )

TR R R

TERA T, AR ] retrieve Fl store frkiim&far g, Hob i, 8, @, $TAMIE.
AIEEA:

store object as REPOSITORY PATH {label LABEL}

store object as URI [#1.1label]

retrieve object REPOSITORY PATH {label LABEL | version VERSION}
retrieve object URI [(#m.marker | #1.label)]

REPOSITORY PATH f8HiXf S A EIEF RN E, BT HE L5 S5 DUERIIE AR, BIEARKX
HRNG,

store stream as "/folder_ 1/folder 2/mystream.str"

store model Drug as "/myfolder/drugmodel™

store model Drug as "/myfolder/drugmodel.gm" Tabel "final"

store node DRUG1n as "/samples/druglntypenode"

store project as "/CRISPDM/DrugExample.cpj"

store output "Data Audit of [6 fields]" as "/my folder/My Audit"

8, MELAHWAI LW EY A, W s 50 .gm, [HRBEMPH-H, A—E0MRaY R4 G, sk
BN RAF YR 44, AR I AR RE T R 24

store model "/myfolder/drugmodel"
retrieve model "/myfolder/drugmodel"

5 AR

store model "/myfolder/drugmodel.gm"
retrieve model "/myfolder/drugmodel.gm" version "0:2005-10-12 14:15:41.281"

R, AR RN, BRI E A SRS, MR LOR N R BB RA, RR TR RN, R E
WAFIEAGA A, ARG RN, D MSIEA,  RRE A PR R R 4.

BUE IR0 4

YT RA, BRI AgE — X%, DLBG 1R HAl P SR — A A B A, 1B mT DU BlE X 4.
B MBI 2 1015

Tock REPOSITORY_ PATH

lock URI

unlock REPOSITORY PATH
unlock URI

XA AR R X 4:, REPOSITORY_PATH 45 i X SAEAF M E UL B, RS20 35 S5 5 5 1 I DLIE RHATAR
FWEAE. BIRARD KNG,
lock "/myfolder/Streaml.str"

unlock "/myfolder/Streaml.str"

44 1BM SPSS Modeler 17 Python 7%l E shiki5



BRItz Ab, B80T LI S — S IARiR (URD) AR PR B ARG A R0 E. URD A& TS spsser:,
FE 25 2ELEG 159, RAAIERFLAT E MR es, S OmamisiE . BIEs 2Dl %20
&=, URL AR KNG, RmEWTE:

Tock "spsscr:///myfolder/Streaml.str"

unlock "spsscr:///myfolder/Streaml.str"

ER, XMEBUEEATXRIPARA - EI0HEBUE SO 1A A,

& R INE

HAERGOLT, WRET EAEMA P 0 S, G, R RERE BTN 2 AL ORI A BRI, I ] A
o R IR A R L Y SR U

o ERER ST AR AT AT H AL R

o TEREAE par SUHF (PRSI Y RURY BAT IR AR R 2RO ) B9 B0 R B s Tk

PR R, AT R — A T AARYE Blowfish SR kA MUINE A% (GREMER, S0 hup:/
www.schneier.com/blowfish.html) , #i%J5, BT LLE G5 604 HAE M B A S e S s 80h., 1T

databasenode F1 databaseexportnode ff75 &)@t epassword FEGENIE T,
1 BRI SR, 3N TR SR ikt
YRADEL...

FECHERY SUCAME 4 E — Y,

i w5 Oy H O RS — A LR Y.
B A R A £ BT I AR,

B A TR s 21 B A A S R,

AR e

HARE

A I B A ST A XA HE TEA B A A, AT USRS 2 T R A (3 1.

i (=l o

A 6. JiA TR AR

TAIAS G 0 K7 30 SR PP A B R i R R 2 O A, AR RAT, T AR E T i R, Bk
IPHE AZL 8 58 H R Gk,

N LITHRE IR
S350 5 AT D A7 W06 JH P SR T P AT OB, J3) TBM SPSS Modeler I, FLAife fir% 47+ fits i
BT — AL

client -script scores.txt -execute

-script ARICRR MBS EMA, 1 -execute PRICFE/RIATIZIIASTHFHHIBNA fir %
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SRR

FELARTARA [ TBM SPSS Modeler H 61 i AR W 1% To /5 S dfosl vl DIFE ST RA iz tr, A, BRI
BAER AE SR A B (MOEBEE ) , HFar B Qi sE it SR A B O, SEBR A A AT g Bk
TRERFMBFRMEREFTRE LS (TR > &0 > AARE > 85) ME. 6, L e
S LA RRAS R B AR, A T2 A HR AR S 80 T o A Bk A 5 R 4 A AR ke 5

T 24 il b A HH A B4 A AE LRI A A b ] BE Tk IR WA AT

AN SRAE HRAS HR A 2 AR ) T E R R 4 (sl e ) a4, W I IHTE A 2 A 58 & 15 581 52
e, (B ER AN E i, [HEY generated X BE model %4, H clear generated T\ clear
generated palette H#t., WHIHEXBMAAT liatr, HHER - FESHE.

ERHMITER

Y% IBM SPSS Modeler ¥ i it th x4, lantidy, FFRMFH LR, oS hmb asEwWa Hmn
{H, BAASTTDLGE X B (R 18 SR SEpi AT, XEEDHBINEA & (PO ) 1, &Rl H TR 5%
R APRICBAR ORI X 207848, VDK S8 {E A 07 U T 128 4 BT 0 A i py e e,

fitn, VrZ AT 4 AE AR PMML (9 XML AR RSk R R 6 THRAIR(E B, g SERTE B35 53 s il
FHMIREE B, B335 P 28 0 2 v 1) o 8 e ey 2 4 DA S DR bt 8 AE AT 3% 4. (] PMIMIL ARS8 g i 2 4t 17 T
MTUifE SR XML NS, i

stream = modeler.script.stream()

# Assume the stream contains a single C5.0 model builder node

# and that the datasource, predictors and targets have already been

# set up

modelbuilder = stream.findByType("c50", None)

results = []

modelbuilder.run(results)

modeloutput = results[0]

# Now that we have the C5.0 model output object, access the
# relevant content model
cm = modeloutput.getContentModel ("PMML")

# The PMML content model is a generic XML-based content model that

# uses XPath syntax. Use that to find the names of the data fields.

# The call returns a list of strings match the XPath values

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")

FEMAH, IBM SPSS Modeler SZff 41 P4 % i A

o RATEET U7 FRoR AT MBI R iy 52 A% e

XML AERE AT UL XML #s L AE0 1 A 2

JSON AWEEB T JSON 4% 77t (Y A 75

St B REY T U7 [nl A R4 E T BU R 4 i

BUXS 5 Gt B AREY T U7 0] A~ B (40 S 1 B P U B

RAFRE
HPIEHR I T — /MR OBUR, TV R AT B AN SUBCR. R I B (L AR T —
fEff (IR SR
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API

#23. API

IR [E FHik ik

int getRowCount () IR [ XA R AT EL

int getColumnCount () IR [E XA e H 1 B 5L

String getColumnName(int columnIndex) R FEE YRGS 2 TR, RS
EiHT 0,

StorageType getStorageType(int columnIndex) RS ERGIA TN R, R
RGBT 0.

Object getValueAt(int rowlIndex, int|REHEEFTRIIMINEZGILHE. TR

columnIndex) FIFFIRGIEGT 0.

void reset() VA A 5 I PR 2 R TR R S TR ) PN R 7
e,

T = g H

TRBI — ST 5, XL R B R N A R A
% 24 A5 Flf i

TRBR it 2R BEERIN
table table "table"

N FIS

stream = modeler.script.stream()
from modeler.api import StorageType

# Set up the variable file import node

varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)

stream.link(varfilenode, aggregatenode)

# Configure the aggregate node
aggregatenode.setPropertyValue("keys", ["Drug"])

aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min",
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean",

"Max"])
"SDeV"] )

# Then create the table output node and connect it to the aggregate node

tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object

results = []
tablenode.run(results)
tableoutput = results[0]

# Access the table output's content model
tablecontent = tableoutput.getContentModel ("table")

# For each column, print column name, type and the first row
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# of values from the table content

col =0

while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), \
tablecontent.getStorageType(col), \
tablecontent.getValueAt (0, col)

col = col +1

FERA A B R o, i 2R T

Age_Min Integer 15

Age_Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugY

Record Count Integer 91

XML A&E&EE

XML AERI T 2ET XML N,

XML MRS 2T XPath AKX AL >, XPath Fahs U — B i, X747 8 U &
Prifa e SUm e, XML A AR R T A 45 Flout 5 DL Be 13 2k sC RO AN1Y, T XPath SC3F A B A B

X LB,

IXFEFR M Python AR F JE A7 4] FHSE A 2,

XML AAEBRAE — A RIFAF A IR RGR [ XML SO R %L

Xff Python JAIAS FH = EWS i I Ho A2 ) Python

PSRBT XML,

API

#25. API

IR [E Fik ik

String getXMLAsString() PIFAF R B AR E] XML,

number getNumericValue(String xpath) SR A AL B AR I 45 T, IR [A] 2R R BT
(fan, JESEERE TR TR
HHE) .

boolean getBooleanValue(String xpath) 1% [8] % T 48 5 B 42 2635 2R T AR i A
IREER,

String getStringValue(String xpath, String|i%[F 545 & BATIEHCAY R PE(E e XML

attribute) RPN
FREBHER getStringValues(String xpath, String |i& [\l —A-315%, Hrh @& g 548 € B

attribute)

FRUCPE A R s XML 7 i fd.

=75 R 5 R H Bl

getValuesList(String xpath, <List of
strings> attributes, boolean
includeValue)

R —AFF, Hh & I 516 E B
TR ACH R fE, AT ZHE S XML
R E.

Hash table (key:string, value:Tist
of string)

getValuesMap(String xpath, String
keyAttribute, <List of strings>
attributes, boolean includeValue)

R[] —ANEAIER, XA A
XML {5 i fefE o, FA SR 2
JEPEEE AR AA.

booTean isNamespaceAware () R [A XML T 5 & N T /24555
], BRAEA False,
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% 25. API (%%)

R E Tk i::pu

void setNamespaceAware (boolean value) W HE XML a2 N T Mams
[, XK reset(), DIFffR)E4E
el R TR T 24

void reset() A AT 5 0 A 2 R R DG IR 4 9 A
i (Bl EZEY DOM X4 ) iF
.

T SRR H

IR — LY A

%26, TR

X0 A A, I I P A AR Y

TEBMR i &R BRI
KEPHERIME 2R ERRI KRB REY "pMML"
"autodataprep" TEB "PMML"
NS

AT Vila A% Python BAIAACRY W] RE 4NN fr 7

(]

results =

modelbuilder.run(results)
modeToutput = results[0]
.getContentModel ("PMML")

cm = modeloutpu

dataFieldNames
predictedNames

t

cm.getStringValues("/PMML/DataDictionary/DataField", "name")
cm.getStringValues("//MiningSchema/MiningField[@usageType="predicted']", "name")

JSON R&E&EE

JSON AWABR A TR A JSON 4% A & A S0,
(IR OL T, FRvF i & S

AUSILE SR 2N

APL, TR E A I3 HE i 2

API
#27. API
iR[E] Tk iR
String getJSONAsString() PIFR B IE AR | JSON %,
Object getObjectAt (<List of chjecta> path, |iB[EIFEEMTLMINTER,  FRALAYR T4F
JSONArtifact artifact) throws Excep- | HJHEN Null, 7EXFMEHT, 6 HMA
tion RO, REAE A RERSCT R, B
OB R, SR JSON T fF
(JSON XI%:u JSON %4) .
Hash table (key:object,|getChildValuesAt(<List of object>|fNE+5 & MR I8 JISON ¥4, B4

value:object>

path, JSONArtifact artifact) throws
Exception

IR [ AR TARE, IR E Null,
TR FEATE, A SR {E T A
ST, BB SR, B
J& JSON T (JSON %% & JSON %%
#4) .
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%27, API (%)

IR [E FHik ik

List of objects getChildrenAt(<List of object> path | W45 &M %1215 JSON %4, 4
path, JSONArtifact artifact) throws | iR [ali% AR AL FIXT S A9, 15 3R [H]
Exception Null, 2 [0 f{E FTRESE SCFER . AL

SCECE AN R, BEE JSON T
(JSON X145 JSON %4 ) .

void reset() W AT AT 5 00 PR 25 BT A S 6 Py PN R AR B
# (FnEESEAR DOM X4 ) ik
4.

R

WRAFAE T RIS T TSON A 2R i th 1A o b AR 25 39 8, TR 0aT LR FH LR AQRS R D o] 5 56 — A RE RO 5
H

S

results = []

outputbuilder.run(results)

output = results[0]

cm = output.getContentModel ("jsonContent")

bookTitle = cm.getObjectAt(["books", "ISIN123456", "title"], None)

# Alternatively, get the book object and use it as the root
# for subsequent entries

book = cm.getObjectAt(["books", "ISIN123456"], None)
bookTitle = cm.getObjectAt(["title"], book)

# Get all child values for aspecific book
bookInfo = cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-level "books" value
# contains a JSON array which can be indexed
bookInfo = cm.getObjectAt(["books", 2], None)

# Get a Tist of all child entries
al1Books = cm.getChildrenAt(["books"], None)

5|t N FEBFR LT FEE
NG N AR T U7 IR Lev] DU F B R gt (B RSeit) o BN ST A B Tl T DL
— X B Z 8] 3 H AT B i — XHE Z TR v B ge it
AIRERYGEVE 4R BrR:

* Count

* UniqueCount

* ValidCount

* Mean

e Sum

* Min

* Max

* Range
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e Variance

e StandardDeviation

* StandardErrorOfMean

* Skewness

* SkewnessStandardError
* Kurtosis

* KurtosisStandardError
* Median

* Mode

* Pearson

* Covariance

e TTest

e FTest

HALEOGE AT RAIGE T, AR OUE T O STt

A K A A FY AL A

o T REMSIGET, (ERE TS T BN, B R DU USRS
o “BURERECT R RSIGE, AR T R T B, ] DU SO e
o CSHETIY AR HCB - BGE H HA  B A BT A T B AT HO R AR OO SR

Al R A B AN 48 1 B RO TR 1 S i DR, W HOR T Z T A A .
ColumnStatsContentModel API

7 28. ColumnStatsContentModel API.

iR

&

i

List<StatisticType> getAvailableStatistics() B AR R gt JREITE
B BA MT TR S 1A.
List<String> getAvailableColumns () REETEHSE T4,
Number getStatistic(String column, |1 51ZFIAH GBS TTE.
StatisticType statistic)
void reset () FEAT AN 5 0 P 2 AT R SR 1Y) PN SR A

win .

PairwiseStatsContentModel

% 29. PairwiseStatsContentModel API.

API

iR

ik

g

List<StatisticType> getAvailableStatistics() IR A AR R R S, IR
B BA T Ira gk aqa.
List<String> getAvailablePrimaryColumns () BREEITEEG T  E54,
List<Object> getAvailablePrimaryValues() RS EES R 5,
List<String> getAvailableSecondaryColumns () IR ] E A 1 81 4,
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% 29. PairwiseStatsContentModel API (%£).

IR [E FHik ik
Number getStatistic(String primaryColumn, | iR [B] 5 &4 FIAH G BR AU 48 11 (A,
String secondaryColumn,
StatisticType statistic)
Number getStatistic(String primaryColumn, | i [8] 5 3= 41 (& Fl 4k Bh 51 AH O¢ BX 19 45 11
Object primaryValue, String|{d.
secondaryColumn, StatisticType sta-
tistic)
void reset() AT 0] 5 0 P A AR RE S TG 11 PN A B
G,
-
T 2 A% H
T RN — ST A, XY SR A R S N A R B
2830 T Al
TEBR HiH 2 FR AEEHRIE FtE
"means" "means" "columnStatistics"
(P D)
"means" "means" "pairwiseStatistics"
(I )
"dataaudit" "means" "columnStatistics"
CHHR TR D)
"statistics" "statistics" "columnStatistics" {0Y R AR B A SR
(G ) .
"statistics" "statistics" "pairwiseStatistics" {24 S e F B A S AR AL
(G 80

NLLFIS

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []

statisticsnode.run(results)

statsoutput = results[0]

statscm = statsoutput.getContentModel ("columnStatistics")
if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()
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print "Column stats:", cols[0], str(stats[0]), " = ", statscm.getStatistic(cols[0], stats[0])

statscm = statsoutput.getContentModel ("pairwiseStatistics")

if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns ()

scols = statscm.getAvailableSecondaryColumns()

stats = statscm.getAvailableStatistics()

corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)
print "Pairwise stats:", pcols[0], scols[0], " Pearson = ", corr
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% 6 F mSITEEE

& AR
W‘Efu@‘i)ﬂﬁ’?ﬂ/ﬁ RGEM 2 7R W /E3) IBM SPSS Modeler:
. TEZHT IBM SPSS Modeler it 8EAML L, FTHF DOS i S /mAFH M.
2. EPIZHFRIES) IBM SPSS Modeler #Lifi, ik A modelerclient @4, RIEH ATHSE; Hn

modelerclient -stream report.str -execute

WS (BRid) ARVFESERERINSS fr, B, 81T AR SR E R E A 2R

WLITEZENER

Ll A tTE A R (WA AARID) M2 &I modelerclient x4 LI M X IBM SPSS Modeler [

PIany

Hl.
FAAEZRin] R ar AT H AR IR, AT YR Ja P 20K X e AT g
# 31 Ao fTEH AR IR,

BETE%xE R E

RO TS E B 56 DU 1 RGBS | TIE 2R

ZHAZR WS 3 57 U BB SE | Tﬁﬁﬁzfa‘%g

e 55 o 1 e 1 A WS 5T U RS RERE SR TREZE
.

IBM SPSS Collaboration and Deployment Services Reposi- | %% 3 8{55 58 H ) r IBM SPSS Collaboration and Deploy-

tory EHEHA & [ment Services Repository %#Z%1] TE LA,

IBM SPSS Analytic Server i H & i 2 0] 8155 59 A 1 IBM SPSS Analytic Server i%4% [ A5

L P E 215 A,

Fltn, wRI#E A -server, -stream I -execute FRICRELBIR SR, RIEEAFBITH, WFUR

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

TR, ENAME P ERGEIT, ATREREMR S S A AR,
LU 5 4R & s s i S, i

modelerclient -stream mystream.str -Pusername="Joe User" -execute
n] LA L FT IBM SPSS Modeler ARZASFIA, (HE5HI6 ] -state  Fl -script 7L,

T IR PSSR, IBAMAIES S Z RN SR, 1A DU A MR A B Y R B
%515,

55



Him<ITEEE

B 447, 54 modelerclient 4
Yok Ay 2 R AR 7 AT, AN,

T E R EAA RSN T 3 IBM SPSS Modeler, X k£ L
AT DR SE B HOREHE (“T B30 > R B SimEsr) bt

il 3 i 4 AT A AR A 2 B AT A A

T T T P P T 7 PG 3R 7
#32. REHAR
B%E A

@ <commandFile>

@ TFS/EIsCHF4, WXHFATHREMLSIL. 24 modelerclient BEIL @ JFkiZ
B, ERE SR A S BT IR, SRR A AT A, 1S 3B 59 T

-directory <dir>

rdaztziu] TMELFER.
BEEBVE TER S, EAMEAT, ZH KRN AT AR RS, =6 -direc-

tory c:/ or -directory c:\\

-server_directory <dir>

HBARLE A A E k. L -directory ARICTEE R TAE B 3K T,

-execute

TEJA NG AT IR ST AT, RS, AR SRS Z BN T A, U
A MNAT.

-stream <stream> JABh AR E RS, AT AR E 2N, (R fRe — M8 E RO IR Bl B8 R,
-script <script> JE BN NS E I MSZ A, AR A, BRIECIRASZ AN, BARICIE AT TR E A, (5

e SR S (AT s — A,

-model <model>

EJA ShIN ANEEE E 09 B A R (Lgm A EISCHF)

-state <state>

FESABhI,  AnaE s B C AR AR,

-project <project>

IR E TRE.  AEJR S O0a) gk — 4 TR,

-output <output>

FE S SII NCARAF B S I (.cou A8 XHISCHE)

-help

W ATHARSIER,  fREMEIUG, K 2P L E SOt R TR

-P <name>=<value>

AT EENSH, ST RET SEE GERESH) |

FE: AT DI i B E SR ok, E ] LA,

Bx.
iz A4~ 3
A TR,

SRT DAE A 5 Sl o i A BRI G R AR S SRR I 2 AL

TSR R R E T(EE ROUR B RS =

IR L, i, %

ﬁﬂﬁ%ﬂiﬁﬁﬁ"ﬁﬁﬂ report.str Fl train.str W, FEAT DU FHANT 65 4

modelerclient -stream report.str -stream train.str -execute

M IBM SPSS Collaboration and Deployment Services Repository Jl#k ¥4

AR LN FEAS SO IBM SPSS Collaboration and Deployment Services Repository ( U5 B3RV AT ) fn#kds

SEXTSR, R LA SO 44 i
eler fEAF AN BAELIM A,

* -stream
e -script
e -output
e -model

%% spsscr: DIRGEBEMEHE A file: O TR LAYXTS ) S8R IBM SPSS Mod-

28T 5 DU R b ic B 6 -
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e -project

AT DU FHRTZR 803 URD RIS @RS M0 E, 40 -stream "spsscr:///folder_1/scoring_stream.str", i
RAGE T spsser: HIZ, AAESKROAER —r4 € TAHRA IBM SPSS Collaboration and Deployment Ser-
vices Repository 4.  [Ftl, SEREM A2 BRI DL B 7= 41):
modelerclient -spsscr_hostname myhost -spsscr_port 8080

-SpsSscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

HE, a2t 2T A URL AN H#{% REPOSITORY PATH XAERYMIFAREAR.  (LUFREARAE T 5
AR, ) A% IBM SPSS Collaboration and Deployment Services Repository X4 f) URI AIEIEE, ES
Bl 43 B 1370 IBM SPSS Collaboration and Deployment Services Repository A% 4 1 |42 4

SRS E
S0 AYEZE IBM SPSS Modeler {2 1THATHIRI PRI, EmASITHAZ RS, -P M HTFERAEW -P
<name>=<value> BJZ50.

RS HTDLZ:

. BESE (A, HEfE CLEM H£ikXdhd S50 .

- BESY, WHRANTEBM. WESET AT BRI AN E, ES0 3 63 T ¢ T AUSTERA 1 |
PASRBUE 245 5.

- WEITETE, HTHE&X IBM SPSS Modeler (19 .

fran, oy AR AEECR I 2R R D fir 2 ATAR RS, R Bs:

modelerclient -stream response.str -P:databasenode.datasource="{\"ORA 10gR2\", userl, mypsw,
true}"

HA%X 5 databasenode ¥ @AY datasource ZHUHE., AHXEELIEE, iESM: [5 75 T 1 databasenode]

[t . ]

T WNRARE I AT, IR AR T R A TEER G S N, R B 55 TR X, BN, i Bk R
B R S 44 Source_ ABC, AR H U Frs:

modelerclient -stream response.str -P:databasenode.\"Source ABC\".datasource="{\"ORA 10gR2\",
userl, mypsw, true}"

AFARRGMAS N 515 ANE T 24 SR, MPAIF ™ML Bl J57R Bil5 prs:

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:\Share\TM1_Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/pmhub/pm"
-P:tmlimport.tml_connection={\"SData\",\"\",\"admin\",\"apple\"}
-P:tmlimport.selected_view={\"SalesPriorCube\",\"salesmargins\"}

REREESH

-server FRricFE78 IBM SPSS Modeler Wi 22| /A LR 5%, #ric -hostname, -use ss1, -port, -username
. -password Fl -domain T 4§78 IBM SPSS Modeler Ui #5554, WERAKIGE -server B4,
I R BUACHE ik 55 4.

2|

L PN



modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

R R 55 R SR AE:

modelerclient -server -cluster "QA Machines" \
-spsscr_hostname pes_host -spsscr_port 8080 \
-spsscr_username asmith -spsscr_epassword xyz

WS, EERIRS e ER TS E® D IBM SPSS Collaboration and Deployment Services H i J] it 2 by
PR, P -cluster RN S FEPEE BRI (spsser_x) 54 . 362 1# 38 1 IBM_SPSS Collabora-|
[tion and Deployment Services Repository %S4 1] THEZEE.

%33 RFAEESHL.

SH (Rwalki:pes

-server DIMR %5 #5412 4T IBM SPSS Modeler, [A]if{#i fii#i7& -hostname, -port. -username
. -password Al -domain FEHEFIA LR % 5.

-hostname<name> Mz 55 e EMLAAFR.  ATEAR 55 44 X AT .

-use_ssl TRERENRA SSL (Z2EHFEZ) . MWHIC AW, 4% & A A SSL.

-port<number> TREMR S w5, (UTENR 55 a4 X R AT .

-cluster<name> TR femi s d e (MARC M ARIRTHE ) MR HSEA AR hostname,

port F1 use_ss1 ¥, ZWANEZES, difrid IBM SPSS Collaboration and Deploy-
ment Services Repository HIREISHYME— URIL ARS8 REH IBM SPSS Collaboration
and Deployment Services T AYIIFEUMH 4, 52 % 3] r IBM SPSS Collaboration|
land Deployment Services Repository S %1 TMELEL.,

-username<name> KIEMTE MMM 4, eI % &80T .

-password<password> R TE MRS, eSS I, i ARRMH -password &
B, IBARGK R B A D,

-epassword<encodedpasswordstring>| 3% &t ] T8 Sl 45 28 S s g, (EEMRS# 7 AT . A AR IBM
SPSS Modeler [ FiR: 7 i« T B3¢ 5L rp A Jig i .

-domain<name> SO I BB S BB, DTN G BB T 1,
-P<name>=<value> FTaERman SfTREYSEE GRESE) |

IBM SPSS Collaboration and Deployment Services Repository EiZS
#

TSR AR T A 4T R A AR IBM SPSS Collaboration and Deployment Services HJX 4, M 2hZii4g & —
¥811% IBM SPSS Collaboration and Deployment Services Repository [ &% #, #Hilln:

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring stream.str" -execute

TR T Al T AL E R S AL

£ 34. IBM SPSS Collaboration and Deployment Services Repository iE 2%

¥ 1T AHMER

-spsscr_hostname <hostname or IP address> | %% IBM SPSS Collaboration and Deployment Services Repository [/l 55 %%
I FEPL4E 1P Hidik,
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£ 34. IBM SPSS Collaboration and Deployment Services Repository EHEZH (££)

Y 1T AR

-spsscr_port <number> IBM SPSS Collaboration and Deployment Services Repository %32 % £ [ ¥ifi
FS CGEH, SRR 8080) |

-spsscr_use_ssl TREENCR T SSL (Z&ERTIZE) . MhRIC A kI, Hiag ik & R Al
H SSL,

-SpSSCr_username<name> % %% IBM SPSS Collaboration and Deployment Services Repository (K] J*
4,

-spsscr_password<password> %573 IBM SPSS Collaboration and Deployment Services Repository F¥%5fid,

-spsscr_epassword<encoded password> %3¢%] IBM SPSS Collaboration and Deployment Services Repository [ /il1%
A,

-spsscr_domain<name> #5F] IBM SPSS Collaboration and Deployment Services Repository i /i
M, RO AT IR, BRAEEME A LDAP 5{ Active Directory 5%, 750
T AN LA FH e I,

IBM SPSS Analytic Server EFERTE

AR i i AT B R IBM SPSS Analytic Server HfXT 4%, AR ALHiHEE S IBM SPSS Analytic Server
UESEGLE

iE: WDIM SPSS Modeler Server #KHU Analytic Server RN &, {HUILN B JoEAER FAL L iEFT 80K,
TR TR T E SR A A,

£ 35. IBM SPSS Analytic Server #HE#EHA &

BXE 1T AMER

-analytic_server_username FF 5% IBM SPSS Analytic Server [ F' 4.
-analytic_server_password FF %55 IBM SPSS Analytic Server [%f4,
-analytic_server_epassword FF% 5% IBM SPSS Analytic Server [£81gmtid 244,
-analytic_server_credential T %% IBM SPSS Analytic Server 4TI,

HEEZITSH

WA HAEHEH @ frid, WRIFERARTE RSP aH 2SR OB T DI a2 171,
FH AT LISER B0 R G T ar S KRR IR S, fian, LUTRshiar S T <commandFileName > 5| 3L+
95 E S L

modelerclient @<commandFileName>

WA A%, s 5158 2 SCPFRY SO SRR SRR SR, U0 T Bs:
modelerclient @ "C:\Program Files\IBM\SPSS\Modeler\nn\scripts\my_command_file.txt"

R AT L SR AR SR R E T A 2R, BT -2 i

-stream report.str
-Porder.full_filename=APR_orders.dat
-Preport.filename=APR report.txt
-execute

M EAFIG] A2 SR, 0 IR DL B -
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i
o AREAEMACHFH#R A @CommandFile &%k,
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£7E BESERR

EBHESEEEMHE

ALCATY R . BT R DA E 2 R RI R R, R T R, Bl R, CTERA L
HARIR”, AR R R SR R A9 R R, e R S i G, B mnd A s 9 s AT oA,

AP ST T P G RE it 1 AU ) L, T LA A Ty R R
- A BIURYE (NATRTE) . HXEZRHE, HEH

o ATAECRT SR R R

* JEigh IBM SPSS Modeler i, {1 &URPEIE ] ME fr &ATEE (R -P ARIL) 19— B4,

£ IBM SPSS Modeler HIIAZS S5, 1 aMEEEHE Y BESH . EARET, ETHERET A
SRR L.

ARMAHRGE S MFEAEE, WSREARSIES]

BHiEE

Al RUE R B85 B R

OBJECT.setPropertyValue(PROPERTY, VALUE)

By

OBJECT.setKeyedPropertyValue(PROPERTY, KEY, VALUE)

Al R R S8k 2R 0 SR

VARIABLE = OBJECT.getPropertyValue(PROPERTY)

By

VARIABLE = OBJECT.getKeyedPropertyValue(PROPERTY, KEY)

Horp OBJECT 2717 simif i, PROPERTY J&ik=Ug| AT SUB MR 248K, T KEY s m ik msE.  fian,
PINEE AT ARSI S, AR E A E S A FEOIMRE T 8dad 08 Age FE:

filternode = modeler.script.stream().findByType("filter", None)
filternode.setPropertyValue("default_include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

ATLLEE AP findByType (TYPE, LABEL) pR¥(# 4k IBM SPSS Modeler "l AT A T, A E/DHEE — 1
TYPE mf LABEL,

SHiLEE

WA S 2 A T, S A AT OO By U

- SRR AT SR ARG, IR L b ST
o AL YA SRR R R
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SR EFOMSEEN

AR ER IO BT (M, @ IEAF 9 50) B A AR R I S A DL IE B e dT, X 28wk
R AR AR E N IR AR, BEATRAR e, i, duET A, BB (FEE B ) A
FIPECRHRA.,  EEIHLER, “di a7 B (TR TEON true 2 false) 17— M5 B
BB PERIE A RE (BEE N ) True B False, fRAN“IEVE"TT A mynode (FEH LJF) A —%K FEHTFE.
BOCHIM T B, R AR Age BUJEYE include HYMHIXE N False, 1FFiw

mynode. setKeyedPropertyValue("include", "Age", False)

HREZERMEMARNL

XFFE2AmE, Sl E T AERM 2 EE. XA SEEERSTHIZER.
TERLNEOLT, b agEae,  RmeuT:

sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age", "Ascending"], ["Na", "Descending"]])

it B YRR 7 — MU BT, AR AR 2R DM R R EA TR, BRI T, ZEES
BAERET AR B R BAEIa T 200, P REITA R, B, AR A SO SO i 7 P45 1
FERIENE, BT AR RCE R AT B, e SR AR, UZEEA T E R, Wi
P OB RO AR R AT B0 B R A, DT sl S b3 ] R A

]
FEV R MEERE R RS S. TGS A BT AR,
% 36. P HIbRIES S

®E BX

abs & T B

len KE

min R/ME

max RAMHE
correl S

covar YiES

num By e
pet [Epidan
transp 7 T

xval 32 SR
var JrEwAER (AT

Rt
1t IBM SPSS Modeler H1aJ DL#5Ffoy A it 7 SopIi JE k. S f@ bk v MPERIAC Y — &89y, BN JRIZBIZA
) — &8> DL SE B 2 A BRI B i, SUTUPE AR 09— 580 MRLSEB AN s g B e shie. BT
WA AN AT SSEORIEE T RS, REMPKTFNE, SR AE 1T IET0R 53 1BM
SPSS Modeler, #§ -p ZHUNESATIH AR — &R0, W] RLAE FIUL IS Mok B B 1 ..
7 37, T RHI g P

B aX

s.max_size WRE A s BB max_size,
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K 37, P iR (4E)

B ax
s:samplenode.max_size WREIT S s MR max_size, HAFUMFEAT M.

) W LB S FT PR A E Y max_size (HFEH—FE
:samplenode.max_size -

AL .

s:sample.max_size WREN s RYJEME max_size, HLHUNFEAT &,
t.direction.Age W BB RRIT Mt RS T B A,
:.max_size ok JEIRARAE ek MITHR E T R A4 T T,

i s:sample.max_size RN — @ BE5 7 s BB K.

il t.direction.Age BiM, AT AR ELCHA AAME R BN EIE SRR, HCAEIE AR H AT AL,
BEIET N Al & 83 Bt

T R EMELR

AR A SEREEE, BMEE AR, RN DU R, s, )
JEPE B R R RIS, W TOE SRR, WP ELEE R, Ak, RS AT DS E S E S
[E, f#lt0 Discard, PairAndDiscard #1 IncludeAsText, BUEJUNSRRAHEE, NPK B R, Wil R H
6 true of false LIk BErEErE,  (EEEMNERAWM FAERME:  0ff, OFF, off, No, NO, no
.n. N f. F, false, False, FALSE { 0, {H7EF-SU{FM FiBUBMEMERT &4, I HAME A g 4 1E
true, ffif true FI false Wf{R#F—FCH T DIERIRVE. ) TEARIEMIISHRD, BN S E T
AT T UM, JFge TR PR S =

BEAT BN
IBM SPSS Modeler )1 & B HEI I F A7 47715 4 (85 40 .

# 38 nICAREE

BtEaR HiERa et At
use_custom_name ik
name FH TEH TAE R A HEA T s A Bk Hise a1
(B3 EHEL) .
custom_name Fr 8 TS E E AR,
tooltip FAFH
annotation FrEER
keywords FF s PoE SRITIPS =] I UE T (3 i
W E B ["Keywordl"
"Keyword2"]) .
cache_enabled ik
node_type source_supernode IR R ry R e, filan, bR
process_supernode ARG AT S (il real_income )
terminal_supernode Z A, & LI AR E R () an
Fir & At userinputnode I filternode) .
JEIA i i T 4 2 5 5 44

%7 % @EsEEE 63
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R B LR T R IR M i, T S R 281 BUKSE 19 %, v B AUEHE S | T
CEZCH:S
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% 8 T iiEM

W ARG S ] DR R m . SRR, AU AT O i B D TR A

stream = modeler.script.stream()
stream.setPropertyValue("execute_method", "Script")

Nl

node JEMEM TSI A BIH A AT AL 20N Frs RO GLREA /AR — A7 i

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "\n\nThis stream is called \"" + stream.getLabel() + "\" and

contains the following nodes:\n"

for node in stream.iterator():

annotation = annotation + "\n" + node.getTypeName() + " node called \"" + node.getLabel ()

+ II\IIII

stream.setPropertyValue("annotation", annotation)

BRG] node JEMEAIE T — MW AP RIS, FRIZIIRG ARERS.  ERAERFR A

T

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to K"
variablefile node called "DRUGIn"
neuralnetwork node called "Drug"
¢50 node called "Drug"

filter node called "Discard Fields"

it Y HAR R LT 3R,
% 39. Ui JEE.

EEAFR S EEil i AR
execute_method Normal
Script

© Copyright IBM Corporation 1994, 2015
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239, Bt (£E).

BRI

HiiRza

EqERA

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD/MM/YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD. YYYY"
"DD.MON. YY"
“DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
“DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

date_baseline

7

date 2digit_baseline

7

time_format

"HHMMSS"

n HHMMII

IIMMSS n
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)s"

time_rollover

&

import_datetime_as_string

tris

decimal_places

L/EH

decimal_symbol

Default
Period
Comma

angles_in_radians

A

use_max_set_size

trik

max_set_size

27
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#39. i@t (£E).

BEaR HiEzn Bt
ruleset_evaluation =
FirstHit
refresh_source_nodes PRk FTAET AT B SRR A
script FAFE
annotation FAHR
name F e SEME R, SRR R Y
AR, ERZE R E AR ML AE,
parameters {68 FH UM S 1 T DA DA ST B A v R it 5
nodes HAHEES T,
encoding SystemDefault
"UTF-8"
stream_rewriting i /R (E
stream_rewriting maximise sql i R AE
stream_rewriting_optimise clem_ A7 16
execution
stream_rewriting_optimise_syntax_ AR
execution
enable_parallelism i /R (8
sql_generation i 2R 1E
database_caching Vit
sql_Togging iR (E
sql_generation_logging Vi e
sql_log native Vil
sql_log_prettyprint M7 R M8
record_count_suppress_input i R ME
record_count_feedback_interval =
use_stream auto_create node_ boolean WRAEA tue, AEAKA R E T UM
settings B, 15 UPRE 6 P e,
create model_applier for new_ boolean WERAE true, HRAFERITFY 3 45 01 7
models HRIL I HCA AL T 15 SR 2 0 5 B
TR, VR — AT RO .
i AR R Z IBM SPSS Mod-
eler Batch V15, AR AWITE A 2
HOTAS A RY R 4
create_model_applier_update_links |createEnabled E SCE SV AT R A 45 5 S g
createDisabled RS
doNotCreate
create_source_node_from builders |boolean WRAE N true, HBATE IR HE 453 61 E 5T
5 O LB AL T SRS 1 S
SEERIN, RIS I — AR Y PR A
create_source_node update Tinks createEnabled E SCE SIS MR T I R Y B R 2R
createDisabled i
doNotCreate

% 8w w67



239, Bt (£E).

iR HiERR B AR

has_coordinate system boolean WREE R true, IF2KAAR RN AT
AL

coordinate_system FF PEFER AL bR 2R 0 FR,
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£ 9T FraEM

BT il AR
P 1 03 PR A0 %, T A L A1 .
1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

Bl 2
LRV AS (B 4 5 Bl SO B & R 2 AT AT B 97 BL Region,

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full _filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat square_brackets as lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom storage type", "Region", StorageType.LIST)

# ...and specify the type if values in the Tist and the Tist depth
varfilenode.setKeyedPropertyValue("custom Tist storage type", "Region", StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom 1ist depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...
varfilenode.setKeyedPropertyValue("measure type", "Region", MeasureType.GEOSPATIAL)
# ...and finally specify the necessary information about the specific
# type of geospatial object
varfilenode.setKeyedPropertyValue("geo_type", "Region", "MultiLineString")
varfilenode.setKeyedPropertyValue("geo_coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate system", "Region",

"ETRS 1989 EPSG_Arctic_zone 5-47")

#40. FH R AIEIE.

EEER HiELRR Bt
direction Input B n A SR,
Target JifkeS i
Both NODE.direction.FIELDNAME
None i BUAE, AHEFEGEAME In F0 Out.  FEKERAYERAH A fig
Partition IBUIH X 3 S 19 57 FF,
Split
Frequency
RecordID
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F40. W AIEE (

B HEZER B
type Range FEIR, W ZENEE N Default, 2K IEEIIE
Flag values @M% E, WNHK value mode & & Ky Specify,
Set LEHEFIEE N Read, fNF value mode TV 'E N Pass
Typeless B Read, WSAEHANZ type B HIFZM,
Discrete PR W
Ordered Set NODE.type.FIELDNAME
Default
storage AN FBAAME ISR R et
FHE& iR
B NODE.storage.FIELDNAME
S
Time
H 8
Timestamp
check None FESRIAG R A i S SR
NulTify iR
Coerce NODE.check.FIELDNAME
Discard
Warn
Abort
values [value value] MTESET (JEE) FERmE, #-MEsME, B
BlKE., WT2L (£E) FB, HEEiaE. s
BFEERME, B MEAEK false, J5—MEMRE true. %
BZEER AN value_mode EMREN Specify, 1Ehf
HOEARIE R —AME R E R, BN, WA —AME
K string, A AfFHERRIG X E N String,
A
NODE.values.FIELDNAME
value_mode Read i T — W HR AL id P B E A BUE A T L
Pass L
Read+ NODE.value_mode.FIELDNAME
Current R, REEREMSE HERE N Specify; BHEMFEEHE, &
Specify %'E values JE1H.
default_value_mode Read e Mg 7 Lk B A B,
Pass iR
NODE.default_value_mode
%X BT DIl f value_mode J@ME, R4S & FEIETE
2
extend_values trdk % value_mode BN Read WHHEN I, &K T WP HE
BMERMAEERETRE. WwaE R F NEFRGEI
IS I B U,
iR
NODE.extend_values.FIELDNAME
value labels FAFH MT e Ensg, WEE, SafcfsEE.
enable_missing trak MUCEA T, IR AW X BB A B

A
NODE.enable_missing. FIELDNAME
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F40. W EAIEE (£5).

BiEaR £S5l Bt
missing values [value value ...] 8 FOR BB R R
JiwEAs =

NODE.missing_values.FIELDNAME

range_missing

S

BCEPEBCE N T I, $8ERE A TBUECRE (FH) 8
.

Pk

NODE.range_missing.FIELDNAME

missing_Tlower

FIFH

range_missing 4 true B, MCJEPEREEHETERE TR,
P
NODE.missing_Tlower.FIELDNAME

missing_upper

range_missing 2 true [, IHJE TR E B (0 A _BRR.
HlEs
NODE.missing_upper.FIELDNAME

null_missing

trik

LULRIEBCE A T 0, . (EARRMEH ERA $nulls
Y ARE AH ) FoRRRAA.

Pk

NODE.nul1_missing.FIELDNAME

whitespace_missing

triEs

HZEEREN T 0, EEEn (S, FIRARAT
) (ECRS B0 BER K AR

Pk

NODE.whitespace_missing.FIELDNAME

description

FIFH

T8 % 7 Brbn 4 sl i i

default_include

tris

JATF 1872 BONAT MR AR a2 i I8 B B4 s
NODE.default_include
A l:

set mynode:filternode.default_include = false

include

i

A48 B E R L I A B S e
NODE. include. FIELDNAME.

new_name

string

measure_type

Range / MeasureType.RANGE
Discrete /
MeasureType.DISCRETE
Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
Collection /
MeasureType.COLLECTION
Geospatial /

MeasureType.GEOSPATIAL

IR IERRLIT type, FAETR T @ X 55 BOCHAT I
i, XHITET, @ATLAm Python MIAZmiIHAY setter pR%L
fEif i — 4~ MeasureType fH, T getter ff5ZGR A
MeasureType f{H.

%0 % FETAEE 71




F40. W EAIEE (£5).

=

HiiRzea

B

collection_measure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG
Set / MeasureType.SET

XU T B (IRIEN 0 #I513R) , el e S A
{E SR I A 0 L 2R,

OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
geo_type Point X B S ] B, BB S E SO T B R Y M P

MeasureType.INTEGER

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP
List / MeasureType.LIST

MultiPoint XTGR9, X W% S A PR IR AR — B
LineString
MultilLineString
Egubiz
MultiPolygon
has_coordinate_system M5 (H XTI A B, MR SOEFBUE R H A AR &R
coordinate_system string XS (]2 By, s e e ST B AR AR &R,
custom_storage_type Unknown [ | BEEEFEIRIESMIT custom_storage, PRIy AT T LT B
MeasureType. UNKNOWN MBS AR, XBHET, &R LA Python JAIAS 4 il b Y
String / | setter pREUfE i H A — > StorageType fH, I getter 1HZR
MeasureType.STRING [f] StorageType fH.
Integer /

custom_list_storage_type

String /
MeasureType.STRING
Integer /

MeasureType.INTEGER

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP

XFHIRTBL, M SR AR R SE R (A AT 8 2L

custom_list_depth

bics 4

XFARTEL, SRR E T B IR

asimport B4

Analytic Server JEA# %A DIYE Hadoop 437 30 &% (HDFS) LizfTiii.

51
node =

stream.create("asimport", "My node")

node.setPropertyValue("data_source", "Drugln")
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£ 41. asimport JHE.

asimport it b6t iR
data_source T Hlls JE AR,

cognosimport T =%

O IBM Cognos BI 75 i Cognos BI #idis & A Kudi.

il

node = stream.create("cognosimport", "My node")

node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/serviet/dispatch",

Tr\ue’ IIII’ IIII, IIII])

node.setPropertyValue("cognos_package _name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].[BRANCH CODE]", "[GreatOutdoors]
. [BRANCH] . [COUNTRY_CODE]"])

£ 42. cognosimport 77 ) PE.

cognosimport T /E M iR BIHEBRA
mode Data BT A Cognos BI #ils (4 ) 24k
meE &,

%9 % Wi UEE 73



£ 42. cognosimport T 5B ME (£5).

cognosimport 5 B

HiiRzea

et

cognos_connection

["string" flag," string",

"o

"string" ,"string" ]

£ 7 Cognos Mk45#n 1 F 24015 BN IR,

# 3 ~: ["Cognos_server URL", login mode,

"namespace", "username", "password"]

Hor:

Cognos_server URL JEfI &I Cognos fil55%%

iy URL.,

Togin_mode 578/ &Ml fHlE 4% 5%, HEN

true 5 false; UWIRZEN true, AR T

YIFB R E R .

namespace F§ & J] T8 SR 548 19 & e TAIE $R AL

FEFF.

username F1 password AT &5t Cognos At

554 1 P 28 A A,

B Togin_mode FYIEIR, & n] DL FHDLAT

Tk

e anonymousMode, 151 4 -
['Cognos_server_url', 'anonymousMode',
"namespace", "username", "password"]

+ credentialMode, il -
['Cognos_server_url', 'credentialMode',
"namespace", "username", "password"]

e storedCredentialMode, fil1n:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]
H:Hp stored credential _name A7l
Cognos FEIIE 1 £ 5,

cognos_package_name string BEH B2 S AEA M Cognos A (1 #
R, fin:
/Public Folders/GOSALES
i RAERFLA.
cognos_items ["field","field", ... "field"] B A — NN BN R, FEE
X H [namespace].[query_subject].[query_item]
cognos_filters T BT EL W — A 2 A IR 2
Fx.
cognos_data_parameters BIES BARMHRRSEIE, < BRRME XG5
W, HFAZAXLLE S0, TEAFEAF RS
TSN,
e
[["paraml”, "value"),...,["paramN", "value"]]
cognos_report_directory FEB BN ARSI SIS Cognos P17,
i
/Public Folders/GOSALES
i RAESHTE.
cognos_report_name FH B AR AR AL E P AR AR,
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£ 42. cognosimport T i JEME (£5).

cognosimport T5 /B HRLER B

cognos_report_parameters F# WESBIE,  “AFMEXHEERSE SN, If
HEZAXPIEE S5, WA/ B 16
.
g
[["paraml”, "value"],...,["paramN", "value"]]

databasenode E¥

Y s nT FI T ODBC (FFRCEOR E 2 ) IR A Bt S AR, X Sl (0 (46
Microsoft SQL Server, DB2, Oracle %,

il

import modeler.api

stream = modeler.script.stream()

nnode = stream.create("database", "My node")
node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")
node.setPropertyValue("datasource", "Drugln db")
node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")
node.setPropertyValue("tablename", ".Drugln")

#43. databasenode JE1E.

databasenode B HiEsn Bl

mode Table B OIAT G RESE AT, RN Table HHEFVEUEF
Query %, Bl SQL RAEM Query A IMULE B

JE.

datasource T AT (AWESH NHNER) .

username AR B EEEAERE (ESRTHIER) |

password FAFH

credential FAT IBM SPSS Collaboration and Deployment Ser-

vices HAFMEMEIERI PR, RTLAGH L@ ok AR
# username fll password J@PE., EUERIAH 4
R G DA 55 1 ) B 122 BT 5 1 P 4 2 A

JC i

use_credential BN True { False,

epassword FrF oA gt A, DA I A o s 2 2
I

HRELEL, HSRE 45 U 1 RN
i o [ FESATIANE, LR R,
tablename FAFH B[R] ) 44 FR.

%9 % YR TS



# 43. databasenode JEMF (£E).

databasenode B iR B

strip_spaces None T I FAT H R g R R A S A 1 5 I,
Left
Right
Both

use_quotes AsNeeded 6 B I R AR, REE R A 4
Always SIS (Fan, dniax 88 24 Fr A 3 2 4% sl bn
Never )

query Fe o B S AT XTI Y SQL S,

£ N datasource JEIEFR AR E AR A — AN EA SR, S (MFRERIS) BN RIZ, IRAmaT L)
fifi F B RHRL LG54 208 HAE A FAF ep EATA0 3, fan: "{\"db2v9.7.6_Tlinux\"}" = "{\"TDATA 131\
"PrLOAN, IRZOKE datasource FAFHFEMAGISHERE S EERK, WHFHA: "{\"SQL Server\

",spssuser,abcd1234,false}".

i W datasource JEYEH BRI A PR A A, B ALE AT LLEA T HA 2 B Bd I R AR

datasource, username Al password ZE4&%/NJ@E M

% 44. databasenode JEVE - 5 E T HAEE.

databasenode Bk iR BEHA

datasource FLFE #% 2
[database_name,username,password[,true |
false]]

BE— SRS SR EGE S, R
B HB N true, K ATEME M Z B 0 UEAT

ISR AR R DR, R s S R, R HAR R e P 2 S, IR A username B pass-
word JE Mk,

datacollectionimportnode E¥

IBM SPSS Data Collection ##ii A5 S IBM Corp. Witz i /= HY IBM SPSS Data
Collection HEHIR T AT LRI, 443 IBM SPSS Data Collection i A Al i F 15 5.

-

& 7. Dimensions (I
FAT

ZyY|

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")

node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source type", "File")
node.setPropertyValue("casedata file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
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Quanvert/Museum/museum.pkd")

node.setPropertyValue("import_system variables", "Common")
node.setPropertyValue("import multi_response", "MultipleFlags")

2 45. datacollectionimportnode )&t

datacollectionimportnode /&% HimzER LAt
metadata_name FIFER MDSC [ £%, 4$F5k{E DimensionsMDD 7RI
i fi#n#E IBM SPSS Data Collection JLE#E S
B, HA AT BE A AL 15
mrADODsc
mrl2dDsc
mrLogDsc
mrQdiDrsDsc
mrQvDsc
mrSampleReportingMDSC
mrSavDsc
mrSCDsc
mrScriptMDSC
FFGRfE none F5/RAFF(E MDSC,
metadata file F FrAet TR 1) SO 1 24 9.
casedata_name T CDSC W&k, FIREMY(E A4
mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc2
mrSavDsc
mrScDSC
mrXmiDsc
FFPR{E none H/RAFAE CDSC,
casedata_source_type FREN I8 CDSC Ry,
File
Folder
ubL
DSN
casedata_file FR R 24 casedata_source type A File I, NIFEEM
B R R SO,
casedata_folder FATH 24 casedata_source_type Ky Foder I, NIFEE
5 G2 5 ASCH R 1Y) ST A
casedata_udl_string FAFH 24 casedata_source_type A UDL W, NI RES
ZBAE R RS 2 OLD-DB JEH: T4 5.
casedata_dsn_string T 24 casedata_source_type A DSN, N M%HE TR
HE ODBC JEHFAFH,
casedata_project TR M IBM SPSS Data Collection 5 # 2 H i3 J5C0 ]

fERlmy, TR TR 48R, TR Al
(EPYRIINIER VeI RSN VR LT A N
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% 45. datacollectionimportnode JEVE (%E).

datacollectionimportnode E[% HiEER B RA
version_import_mode <80 (A1) TE SCRRASAb 3 7 2K,
=
Specify
specific_version FLFER 24 version_import_mode & Specify B, Wz X
TGRS
use_language T TE SRR AT 48 8 16 5 AR,
Tanguage AR Gk use_language W{E N True, MIE L5 AT
T AMES A, B Y R aEdE T
e —w A,
use_context FiFH FESURER N S ARREMN LT3, BT X
50 SR DG i 3
context FAFH R use_context MI{H-AE, Mw LT AW,
IRARE I 2 G2 BN T 9 2 — ] TR A,
use_label_type FrF SE SRR N SR E bR 22T,
Tabel type FAFH AR use_label_type HY(H AE, WIE LEFAH)
PRAEFERL, ARSI R i 52 A A H Y — T
PrAE A,
user_id TR X R AU SR A, Rl SR A A
TEURTI 25 R fe 15 ) B340
password FAT
import_system variables Common 16 B 3 AL RG4S
None
70 (A1)
import_codes_variables i
import_sourcefile variables i
import_multi_response MultipleFlags
Single

excelimportnode Ef

Excel 5 AT 5 0] L Microsoft Excel D) xlsx XS XS ARG, ATRIEE ODBC %R IE,

rTrri

EXCELT

N4
#To use a named range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")
node.setPropertyValue("use_named range", True)

node.setPropertyValue("named_range", "DRUG")

node.setPropertyValue("read field names", True)

#To use an explicit range:
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node = stream.create("excelimport", "My node")
node.setPropertyValue("excel_file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")
node.setPropertyValue("worksheet_mode", "Name")
node.setPropertyValue("worksheet _name", "Drug")

node.setPropertyValue("explicit_range start", "Al")
node.setPropertyValue("explicit_range end", "F300")

& 46. excelimportnode J&PE.

ReturnBlankRows

excelimportnode [Ei4 HiELR Bt A
excel_file_type Excel2007
full_filename FAF R TR (BERHE) .
use_named_range M5 EmMEAEEEHE., WA RIE, WK H
named_range J{MERAE @ IGER], (HZMELE T
VEFRANEAR TG &
named_range TR
worksheet_mode Index 1858 R MBI R T | A TRRE L TR,
Name
worksheet_index 37 BRI TERNRET], RS- TERNR
G100, HATAERMRT 1, LI,
worksheet_name F BRI TAEFR I AR,
data_range_mode FirstNonBlank e e a1 =L
ExplicitRange
blank_rows StopReading 24 data_range_mode A FirstNonBlank [}, 57

AT T L

explicit_range_start

FIFH

¥4 data_range _mode N ExplicitRange W}, ¥57E
B B A

explicit_range_end A
read_field names (P $i 58 A2 75 K8 2 T Y 88 — AT EE B (F1)

#E.

evimportnode B4k

Enterprise View 7,5 T A& 45 IBM SPSS Collaboration and Deployment Services Repository
MRz, W LIK Enterprise View B AN, IR AT A0 I Ab T vl i i A4 e s
ENEpES

7E: 1F SPSS Modeler 16.0 1, E. ¥ Enterprise View 7 & B MK &,  XFFAELIET
RATRP AN, 39832 FF Enterprise View 75, (H&, SR mAIEHRE, FROTEIEME H

“HE AT

Nl

node = stream.create("evimport", "My node")

node.setPropertyValue("connection", ["Training data

"Analytic", "/Data Providers/Marketing"])
node.setPropertyValue("tablename", "custl")

n n
t]

/Application views/Marketing","LATEST",
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£ 47. evimportnode )& .

evimportnode B HEzEn

EEa A

connection PZES

gEMgAb @ - 4 Enterprise View %
e S VGIPTES

JEAg

evimportnode.connection =
[description,app_view path,
app_view_version_label,
environment,DPD_path]

tabTename FAEE

Application View P48 [ K.

fixedfilenode 1%

= 8] 5 SCAF A9 R D 78 5 BSOS SO (RSO BORE B, i A ] A9 052 B 04 B BT 7 )
L S AR, LR A R Rl R £ RO T DL B A B

il

node = stream.create("fixedfile", "My node")

node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

node.setPropertyValue("record_len", 32)
node.setPropertyValue("skip_header", 1)

node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9, 10], ["Cholesterol",
12, 221, ["Na", 24, 25], ["kK", 27, 27], ["Drug", 29, 321])

node.setPropertyValue("decimal_symbol", "Period")
node.setPropertyValue("lines_to_scan", 30)

# 48. fixedfilenode JFHE.

fixedfilenode Eft HiEER Bt AR
record_Ten HF {8 8 B A0SR P R E AT AR
Tine_oriented PRk Wi B AT SR R BRI AT AT
decimal_symbol Default FHTHCHE Db A 2R B A ) 2
Comma
Period
skip_header HF o B ARILR R B A ATE. T 2N 5hR
i,
auto_recognize_datetime trik e R PR R E SAR IR H U ],
Tines_to_scan HF
fields EES Zit LI rE.
full_filename FHF BERRCUFN 2 (EIEES) .
strip_spaces None TEE AT 2% 35 A B8 o iy o R RS R A 25 4
Left
Right
Both
invalid_char_mode Discard MBS AT B LIS TR (BMH, 0 804 TR
Replace HETRARFER ), BUNHEE MR FRAT 5B B
ToRCFAT.
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% 48. fixedfilenode JHVE (£5).

fixedfilenode Ef#

HiiRzea

B

invalid_char_replacement

FIFH

use_custom_values

trik

custom_storage

AR
PR
#H
gy
Time
H 55

Timestamp

custom_date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD/MM/YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

g Q YYyy

ww WK YYYY

W P (UL S R SR i I .
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£ 48. fixedfilenode JHVE (£5).

fixedfilenode Ef#

Hiimzea

EEat A

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)m"
"(M)M. (S)S"

W P (ST S B R A7 i S i .

custom_decimal_symbol

TE

HATESEE T R A7 O 15 00 F A 38 .

encoding

StreamDefault
SystemDefault
"UTF-8"

TR ARG TT 15,

gsdata_import 7 =%

Sn DAt P - 2 2 ) 55 b b P s [ bl 5 | A B Rl 2 2 i v

£ 49. gsdata_import i 5@V

gsdata_import 7 S/EtE 36l B AR

full_filename T AR shp SRRSO ERAR,

map_service URL FH T A ELE S EIR %5 URL,

map_name T {4 fE T map_service URL I, BLEMEAAR, IF

A 5 i P A 55 ) T M ST e 1.

sasimportnode Ef%

il

SAS AT RAH SAS HdlE®AE IBM

node = stream.create("sasimport", "My node")
node.setPropertyValue("format", "Windows")
node.setPropertyValue("full _filename", "C:/data/retail.sas7bdat")
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node.setPropertyValue("member_name", "Test")
node.setPropertyValue("read_formats", False)
node.setPropertyValue("full_format filename", "Test")
node.setPropertyValue("import_names", True)

2 50. sasimportnode J&HPE.

sasimportnode Bt iR Bt A
format Windows B A SRR AR .

UNIX

Transport

SAS7

SAS8

SAS9
full_filename TR AR R4 (RS |
member_name AP e BN E SAS LR ST R AR LG,
read_formats PRk A E A% 2SO b O s X (N s A

).

full_format_filename T

import_names

NamesAndLabels
LabelsasNames

T R AE 5 IS S A i 44 PRI 28 1) 7 k.

simgennode E4%

R B AR T — b OB B RSO - B R B Sk TR AR RO
B, S O X BUA D s R a AT B 1T AT AR G A sh A OB, 3 TR R A R AT
TEAHIE PRI OL, B A P A A 9 45 SR AT VP Al IR 3 .

% 51. simgennode J&E.

simgennode BT b6 el R ETPE

fields it JE 5 Z: i) 7 5]

correlations gtk JE ik I 2 ) s il
keep_min_max_setting boolean

refit_correlations boolean

max_cases A /ME N 1000, fK{E R 2,147,483,647
create_iteration_field boolean

iteration_field name TR

replicate_results boolean

random_seed R

parameter_xm] FIf e I B R [ 240 XML

fields 75

OB SR, HIRET:
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simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

1)

distribution JE4rMi AFRINARE, MATRE R & BT IR, B LT 5 X e XL
[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min","1"],["max","2"]11], "", ""11)

i, FNE T A A A A BT R, T DU T LLT AR

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)
simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],
[Ilprobll’ 0'7]]], IIII, IIII]])

WA A ZEe 0 A prob, BT IO AN S Rp R AME AN ERCR AR, PRGNS HOR A D 2 A A
#RA.

i EAREAE R E distribution; AILLKHYS fields J@dk—fli .

LR AR T A o RE R 2 K25 1 E R, BI{E7E NegativeBinomialFailures F1 NegativeBinomialTrial
%I ACA thresh,
stream = modeler.script.stream()

simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2","2"1]], "", ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ,"1"],["prob","1"]1], "", ""]

categorical_dist = ["Field3", "String", False, ["Categorical", [["A",0.3],["B",0.5],["C",0.2]1], "", ""]

d1ce_d1st = [IIF‘ie'ld4ll’ IIRea'l II’ Fa'lse’ [IID‘icell’ [[Illll ’IIO.5II]’[IIZII’IIO.SII]]]’ IIII’ IIII]

exponential_dist = ["Field5", "Real", False, ["Exponential", [["scale","1"]]], "", ""]

fixed_dist = ["Field6", "Real", False, ["Fixed", [["value","1" 111, "", ""]

gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale","1"],["shape"," 1"111, "", ""]

Tognormal_dist = ["Field8", "Real", False, ["Lognormal", [["a","1"],["b","1" II11, "", ""]

negbinomialfailures_dist = ["Field9", "Real", False, ["NegativeBinomialFailures",[["prob","0.5"],["thresh","1"]]1], "", ""]
negbinomialtrial_dist = ["Field10", "Real", False, ["NegativeBinomialTrials",[["prob","0.2"],["thresh","1"]]1], "", ""]
normal_dist = ["Fieldll", "Real", False, ["Normal", [["mean","1"] ,["stddev","2"11], "", ""]

poisson_dist = ["Fieldl2", "Real", False, ["Poisson", [["mean","1"]1], "", ""]

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN","[1,3]"] ,["END","[2,4]"],["PROB","[[0.5],[0.5]]"]]1], "", ""]
triangular_dist = ["Field14", "Real", False, ["Triangular", [["min","0"],["max","1"],["mode","1"11], "", ""]

uniform dist = ["Fieldl5", "Real", False, ["Uniform", [["min","1"],["max","2"]1], "", ""]

we1bu'|'|_d1st = [IIF‘ie'ldlﬁll’ IIRea'l II’ Fa'lse’ [Ilwe‘ibu'l'lll’ [[Ilall’lloll]’[Ilbll’lll II]’[IICII’IIIII]]]’ IIII’ IIII]

simgennode.setPropertyValue("fields", [\
beta_dist, \

binomial_dist, \
categorical_dist, \
dice_dist, \
exponential_dist, \
fixed_dist, \

gamma_dist, \
Tognormal_dist, \
negbinomialfailures_dist, \
negbinomialtrial_dist, \
normal_dist, \
poisson_dist, \

range_dist, \
triangular_dist, \
uniform_dist, \
weibull_dist

1

EE AN

RIELEME SR, HARE T
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simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

1)

MR LLENT +1 5 -1 ZWEAEMEey.  Gon] DRSS & 28 @A Gk, AT R$E E RS IE#RRE 1
A0, WRAFAEALACR AT B, IR AROZAEAI AR (o) B BRI, FFLMALESORERIZE. 0
RAAERTN T B, IATCEEIAT T AL

statisticsimportnode &4

IBM SPSS Statistics 335 &M IBM SPSS Statistics i JAf .sav X 2 DL AR EAE IBM SPSS
Modeler TR HELETE SO ( Hot SRR 2 ) BERCECE,

BRI SRIENEE, SR 277 TUHY 1 statisticsimportnode Jg 4 1 |

tm1import ¥ 5B

.: IBM Cognos TM1 Ji 7 ik Cognos TM1 i JE 5 A KR,

£ 52. tmlimport 175 JEPE.

tmlimport ¥ & /E M HiEER B RR

pm_host FAFH FHL4.  Bldn: TM1_import.setPropertyValue
("pm_host", 'http://9.191.86.82:9510/pmhub/pm")

tml_connection ["field","field", .. ,"field"] | 5IFRJEME, Hbs TM1 IR 5 & H0ERIEHGE R,
#2 A [ "TM1_Server Name","tml username","tml
password"]

#ln: TM1 _import.setPropertyValue
("tml_connection", ['Planning Sample', "admin",
"apple"])

selected view ["field" "field"] IR EME, HAP st TM1 2488088 4 i (5 B
DL o His S A EI SPSS 11 Z 4k Kis SR 1Y 42
FR. #ldn: TM1 _import.setPropertyValue
("selected_view", ['plan_BudgetPlan', 'Goal

Input'])
userinputnode E%
FH P A SR B T — R G SR R 7 2 - T DA Sk TR B th T LB o e B 8
WATOIE, BRI T, B, (R R B A M KR S, BV G R
i
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il

node = stream.create("userinput", "My node")
node.setPropertyValue("names", ["testl", "test2"])
node.setKeyedPropertyValue("data", "testl", "2, 4, 8")
node.setKeyedPropertyValue("custom_storage", "testl", "Integer")
node.setPropertyValue("data_mode", "Ordered")

2 53. userinputnode )& 1t.

userinputnode B iR Bt A
data
names T R (] 5 5T A Y B 4 PR B 2 B 45 A AL
WA,
custom storage AN AT 1 L B A A S B A A 1 R
ESEE
B2
S8
it fa]
HE
Timestamp
data_mode A& (Combined) WARAEE T Combined, ARABLEE D K/ ViR
Ordered EIEADHGERE R Dk, AT AL
FTHANTERPENSENRE. AR TE
F, B2 NG 50 0 & — 5 32— A fE R AR
BEEETT. AR RET - S FEAERN
RKEE, HRImaESIER ST BRR NS
{H.
values iF JEMEC H userinputnode.data Buft, AN
LA H,

variablefilenode B¢

. B H AR ST R A U BOCAR SR R, B, HCR & B ORI T B, (26
(%i) FRERCR TS, BT X T B B E K B ASS A MRS S S SRR A 1 SOt AR A
H.

il

node = stream.create("variablefile", "My node")
node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
node.setPropertyValue("read_field_names", True)
node.setPropertyValue("delimit_other", True)
node.setPropertyValue("other", ",")
node.setPropertyValue("quotes_1", "Discard")
node.setPropertyValue("decimal_symbol", "Comma")
node.setPropertyValue("invalid _char mode", "Replace")
node.setPropertyValue("invalid_char_replacement", "|")
node.setKeyedPropertyValue("use_custom values", "Age", True)
node.setKeyedPropertyValue("direction", "Age", "Input")
node.setKeyedPropertyValue("type", "Age", "Range")
node.setKeyedPropertyValue("values", "Age", [1, 100])
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% 54. variablefilenode J&1E.

variablefilenode [E[% HiEgEa BB
skip_header e B B A0 Tk B Y A A
num_fields_auto trak Hah#iE BRI T BEL  ICF U AR T
L.
num_fields B T35 & G A0 b i 5 B,
delimit_space trak 58 S T R E o BOl R AT
delimit_tab trak
delimit_new_line trik
delimit_non_printing trak
delimit_comma trik 2435 TR H [R] IS AR A+ 2 20 A R 5 B SR
I, K delimit_other X &N true, RG]
B @ MR I G E i AT
delimit_other PR FUVEE T EL A & MR 4R E B R SUE AT,
other e TE delimit_other 4 rrue W, 5 ZH Y&
FAE.
decimal_symbol Default 8 T BRI AR Y - 2E R PR A
Comma
Period
multi_blank trid e 2B E RATIH — A B — & FAFAL
i,
read_field names Fris H B ST 58— AT E A ST AR 4.
strip_spaces None TE SIS 25 37 24 B o i o AR BRI 25 45
Left
Right
Both
invalid_char_mode Discard NECE i AP BR 2 TOBCFAE (S ME, 0 B0 i
Replace M A A ), BURTE E TR SR
BICRTFAT.
invalid_char_replacement FIFH
break_case_by_newline tris 84T AT HARATH
Tines_to_scan 7 O HL AR 28 1 i AT AR
auto_recognize_datetime tris AR B R A5 SRR H B .
quotes_1 Discard 0 W EE R REg DU D v
PairAndDiscard
IncludeAsText
quotes_2 Discard o A WG S AL HE Ty
PairAndDiscard
IncludeAsText
full_filename FIH BRSO R (BIEES) .
use_custom_values tris
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% 54. variablefilenode JHTE (££).

variablefilenode E4

HiRxE

e

custom_storage

FRE
TR
#3
Time
HER

Timestamp

custom_date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD/MM/YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q Yyyy

ww WK YYYY

FURTESRE T & HA7 e AU 1 00T A 18 .
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£ 54. variablefilenode JETE (££).

variablefilenode E4

HiRxR

EER A

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)s"

FAHEGE T & HAT A 1915 00 F A 18 .

custom_decimal_symbol

TE

FUETESEE T 2 HlA7 i e O 15 00 F A ik .

encoding

StreamDefault
SystemDefault
"UTF-8"

R ARG T7 15

xmlimportnode [Ef4%

PEFARE R AT, DUNREE XML 454,

@ XML 579 50K XML A% =0 s 5 A2 i

il

node = stream.create("xmlimport", "My node")

node.setPropertyValue("full_filename", "c:/import/ebooks.

node.setPropertyValue("records", "/author/name")

£ 55. xmlimportnode J&H1E.

. AL ARAH PR A SRS SO, 3R]

xml")

xmlimportnode B b6 el Bt A
read single TR B S (B ), s H SR A
directory XML 3L,

recurse s G BRI E BRI E T HEPH
XML 3CfF,

full_filename T (hFF) B AN XML U S84 AR RS
% (% read = single) .

directory_name TR () B FA XML SCHR H SR 568
RHLFR (I read = directory) .

full_schema_filename FIF e BN XML Z5#41) XSD 5 DTD SCHFRY

SERBARMICOE A, IR AN TSR,
XML JESCHF A I 1.
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£ 55. xmlimportnode JEPE (£5).

xmlimportnode B HEZER B

records FREE XPath #iA=, ({10, /authormame) , FALLE X0
SEHS, BIRIEI ST BB TR, # A
HBIIICE.

mode read BN A % (), oobs e BRI ImiE .,

specify

fields FERAMIE uERMER) JIER. JIRPmNE

ik XPath FKikz,

dataviewimport B4

5

o

R SR TR BRI A e S AE] IBM SPSS Modeler H1,

Zy|

stream

modeler.script.stream()

dvnode = stream.createAt("dataviewimport", "Data View", 96, 96)
dvnode.setPropertyValue("analytic_data_source",
["","/folder/adv", "LATEST"])
dvnode.setPropertyValue("table_name", ["","com.ibm.spss.Table"])
dvnode.setPropertyValue("data_access_plan",
["","DataAccessPlan"])
dvnode.setPropertyValue("optional_attributes",
[["","NewDerivedAttribute"]])
dvnode.setPropertyValue("include xml", True)
dvnode.setPropertyValue("include xml_field", "xml _data")

£ 56. dataviewimport JHE

dataviewimport JEft HERA B

analytic_data_source FAT IBM SPSS Collaboration and Deployment Ser-
vices AR AT B AR IR X 42, S0 A WA
HA 5 A2 24 PR A B 28
["Object ID","Full path", "Version"]

table_name TR IR A b R B AL R, A A

XRAHTRE, EREE, 7EM IBM SPSS
Collaboration and Deployment Services Deploy-
ment Manager & F'HLFRSH BOM, F4ESHIK
zip AR default.bom CHFHRIEfTAE R, BR
dEZ M IBM Operational Decision Management
(iLOG) H1 5 A BOM, 50141 1% a2 A0,
["Object ID", "Name"]

data_access_plan FrF XS A 2 5 A 1 i R B 1 i dhe 7 R D
%

["Object ID","Name"]
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£ 56. dataviewimport JFPE (££)

dataviewimport JEft HERA B
optional attributes T TR IRA B T3k,
[["ID1","Namel"], ["ID2", "Name2"]]
include_xml boolean WARERFEEH XOM LB TE, IBah
True, FEAE(# AT IBM Analytical Decision Man-
agement iLOG 7 &5, HIIEIXAYZE N false,
FFE L1 B AT RE 2 K R A AL B
include_xml_field FrFE include_xml & &N true WFERMMFEBN 4

F&.
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#£ 10 ¥ EXRFETREN

appendnode Ef&

CO BTSRRI LT A RS R R
(F??

L

Nl

node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match_case", True)
node.setPropertyValue("include_fields_from", "A11")
node.setPropertyValue("create tag field", True)
node.setPropertyValue("tag_field name", "Append Flag")

% 57. appendnode JE 1.

appendnode &% il EEatal

match_by Position AT DAAR 3k 5 BOAE 3 il I b A A B B A EiH B b
Name B 44 R A B i 4R

match_case tris VEE 7 Br A2 BRI B X 40 KN,

include_fields_from Main
A1l

create_tag field i

tag_field_name TR

aggregatenode [E%
SET A TR A 05 T8 (R — B AR,

»

il

node = stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node.setPropertyValue("contiguous", True)
node.setPropertyValue("keys", ["Drug"])
node.setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
node.setPropertyValue("inc_record count", True)
node.setPropertyValue("count_field", "index")
node.setPropertyValue("extension", "Aggregated ")
node.setPropertyValue("add as", "Prefix")
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% 58. aggregatenode JFE.

aggregatenode Bt HRER BHiRER

keys VIES AT AR B B e B, N, dnfR Sex FI
Region & XHEFE, M Ml F 5XE N FI S #y&4
ME—EH G (UAME— A S ) #¥EE g

R BIEsR.
contiguous i SR A R0 A B AR HL A A (R S B Y T A T S

GrRCT —, WA RIS B I (fhn, AR C
YR EMWALTTHE) . XHMAITERS

PERE.

aggregates —Fhgi b m b, e AL B T B
DA R 3 7 I =

aggregate_exprs W Et, WARAETFER AR (a4

PREICEFREA) . flan:

aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX", "MAX('Na')")

extension AR MEEMILSFBIEEMHSESE (HAT) |
add_as Suffix

Prefix
inc_record_count Fris Bl — AN B, BT BR E TR L AR

SRR T 205450 Ak,

count_field TP T8 IL SRR T By 4.
allow_approximation VxS 1E Analytic Server HHATIL ST AT E T AT
bin_count B T8 BEAEAL B A 23 2K

balancenode El4

F R A NE AR P RN R, RS E AR, PR S R RR IR E RGN
@ HEIE R/ LA,

il

node = stream.create("balance", "My node")
node.setPropertyValue("training _data only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])

#59. balancenode JBTE.

balancenode B4 57 Al B

directives WA T8 2 B i 7 BLE E Bl g ha L g v (200
THEE R |

training_data_only trd EECCF R INZREAE, R RS X 7
B, W Z s % 1 55,

VB PR B LT A%

[[ number, string 1 \ [ number, string] \ ... [number, string ]].
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i IRAERR AT (RGN ), IBAHEFAF H BTN U AFe\7, "\ "4 [R] i it
TTAREERF, XAERL AT LD SR 57, BRART RN T,

derive_stbnode B

4 o3 IV LA 35 SRR L P, 2 I B BOUR A T2 I AR, i ] DL 43 2 )
\§> e L A 35 A

il

node = modeler.script.stream().createAt("derive stb", "My node", 96, 96)

# Individual Records mode

node.setPropertyValue("mode", "IndividualRecords")
node.setPropertyValue("latitude field", "Latitude")
node.setPropertyValue("longitude_field", "Longitude")
node.setPropertyValue("timestamp_field", "OccurredAt")
node.setPropertyValue("densities", ["STB_GH7 1HOUR", "STB GH7 30OMINS"])
node.setPropertyValue("add extension_as", "Prefix")
node.setPropertyValue("name_extension", "stbh ")

# Hangouts mode

node.setPropertyValue("mode", "Hangouts")
node.setPropertyValue("hangout density", "STB GH7 30OMINS")
node.setPropertyValue("id field", "Event")
node.setPropertyValue("qualifying_duration", "30MINUTES")
node.setPropertyValue("min_events", 4)
node.setPropertyValue("qualifying pct", 65)

2 60. =3 [A] [A]BR ) 15 i Jeg

derive_stbnode [E% iR EiR A
mode IndividualRecords
Hangouts
latitude field FE
Tongitude_field FE
timestamp_field FE&
hangout_density [ —ZBRRE {55 M densities DTGB

Ll
fA.
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# 60. == [A]ff AR 5w (2£)

derive_stbnode E'f% HiEER B RR
densities [density,density,..., density] A LA — AT ES, lhn STB_GH8_1DAY,
i R T B BEA R, FTERRGL XT
geohash, W LI# ] GH1 %] GH15 FHAY(E. X T
temporal #R4y, TJ L H 51 {E:
EVER
1YEAR
1IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field FE
qualifying duration 1DAY AR
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events R H/NARCEEE N 2.
qualifying pct EH WAAT 15 100 Z[H,
add_extension_as Prefix
Suffix
name_extension T
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distinctnode E%

SIRAHT AR R B IO, R — AT K ANE R R, SEER - NE
=2 A6 A B84 3 573 I )

il

node = stream.create("distinct", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("fields", ["Age" "Sex"])
node.setPropertyValue("keys pre_sorted", True)

F61. distinctnode J&EME.

distinctnode B iRk B4R
mode (2EE T UK 55 — S DXl sk AR T B i b, AT DA
Discard LI — FR XA E I AT AT B 52 0 SR A% A B e

it

grouping_fields V7S BT 1 2 10 o8 2 B AR R 1 5 B
jE: A IBM SPSS Modeler 16 2, RHE#Ef /R
.

composite_value il WHZ R .

composite_values e WER LT R4,

inc_record_count tris Bl — AN B, T BE E WIE A AR EGE
FILET 2055 A L%,

count_field TR 8 VLR B B 7R,

sort_keys ERAL R, £ M IBM SPSS Modeler 16 2, AH#Ef7fd HILE
T,

default_ascending trk

Tow_distinct_key_count trak fRER A BA D EITR A/ /D e B — (.

keys_pre_sorted trd T B A A [R5 8 19 B A 30 SR AE i AR LAE —
i,

disable_sql_generation iz

composite value J@M:f i

composite_value J&MEfY— etk
node.setKeyedPropertyValue("composite value", FIELD, FILLOPTION)

FILLOPTION [f#%=t% [ FillType, Optionl, Option2, ...].

7~

node.setKeyedPropertyValue("composite_value", "Age", ["First"])
node.setKeyedPropertyValue("composite_value", "Age", ["last"])
node.setKeyedPropertyValue("composite value", "Age", ["Total"])
node.setKeyedPropertyValue("composite value", "Age", ["Average"])
node.setKeyedPropertyValue("composite value", "Age", ["Min"])
node.setKeyedPropertyValue("composite value", "Age", ["Max"])
node.setKeyedPropertyValue("composite_value", "Date", ["Earliest"])
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node.setKeyedPropertyValue("composite value", "Date", ["Latest"])
node.setKeyedPropertyValue("composite_value", "Code", ["FirstAlpha"])
node.setKeyedPropertyValue("composite value", "Code", ["LastAlpha"])

SERIE AT B2 HAL R, X H AR DIAIFIEAGm, sl

node.setKeyedPropertyValue("composite_value", "Name", ["MostFrequent", "FirstRecord"])
node.setKeyedPropertyValue("composite value", "Date", ["LeastFrequent", "LastRecord"])
node.setKeyedPropertyValue("composite_value", "Pending", ["IncludesValue", "T", "F"])
node.setKeyedPropertyValue("composite value", "Marital", ["FirstMatch", "Married", "Divorced", "Separated"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Space"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Comma"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "UnderScore"])

composite values JEYEAYRHI

composite values J&PEAT—MBets U0 T:

node.setPropertyValue("composite values", [
[FIELD1, [FILLOPTION1]],
[FIELD2, [FILLOPTION2]],

1)
Ik

node.setPropertyValue("composite_values", [
["Age", [nF.i Y‘St"]] R
["Name", ["MostFrequent", "First"]],
["Pending", ["IncludesValue", "T"]],
["Marital", ["FirstMatch", "Married", "Divorced", "Separated"]],
["Code", ["Concatenate", "Comma"]]

1)

mergenode Ef%

A SEI SIS AT T OIS I A AR A F B MR DR, T AR R
) R R JEHA T, GNP R P B A C I S AT R,

!

Zy|

node = stream.create("merge", "My node")

# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)

stream.link(salesdata, node)

node.setPropertyValue("method", "Keys")
node.setPropertyValue("key fields", ["id"])
node.setPropertyValue("common_keys", True)
node.setPropertyValue("join", "PartialOuter")
node.setKeyedPropertyValue("outer_join_tag", "2", True)
node.setKeyedPropertyValue("outer_join tag", "4", True)
node.setPropertyValue("single_large_input", True)
node.setPropertyValue("single_large input_tag", "2")
node.setPropertyValue("use existing sort keys", True)
node.setPropertyValue("existing_sort_keys", [["id", "Ascending"]])
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% 62. mergenode JETE.

[’string’’, 'De

mergenode JE4% 56l B AR
method IiF (Order) 8 8 10 R T B AT B SO BB R U 3R AT
Keys &I, BEHMHEH - T BOES TR B
Condition ot B R R R ICSR, BUE R TR R4 SR
Rankedcondition BIFICSRE; il HE 4% 2R 0A 2T DL e AR v 0 Re ot
B ZAIE BT AT HE P
condition FAFE HIH method % K Condition, 5@ MIFHEFIC
SR A
key_fields ¥IES
common_keys i
join Inner
FullQuter
PartialQOuter
Anti
outer_join_tag.n trk TERE M, 0 PR RCE 2 XS AE T R AR
%, FE, TLEEEZMRC4, ARG
Kol S HF To s R s BTk,
single_large_input tris RGN, DI — AN A S H A A
BA — A BOR B AE.
single_large input_tag FAEH g PR BB A7 A HE HR 1K R T8 B bR iL 44,
WHE, RS outer_join_tag @M H
EIAANE (FRIESFEAE) , FOhHTE Haeds e
— N AR .
use_existing sort_keys tri& TREM A E G ORI — e A T Bt 7 HE
7.
existing_sort_keys [[’string’, 'Ascending'] \|#¥8x&CHTFHFE K HH T 710,

scending']]

primary_dataset

T

H method 2 Rankedcondition, ifiE#:HT &3

MRS, AR DR A ANEE A IR A,

add_tag_duplicate Vi e IR method & Rankedcondition, ItJEtEi%E N
Y, JF H B AR R A O B AR A ok B[R] B U
i Z AR 24 7B, 820k B X S8 5l I A FE R AR E
S N2 9 5 Bebr Ik

merge_condition FAF

ranking_expression FAHEE

Num_matches R FRYE merge_condition FI ranking_expression

R EULECIE, e/ MEDY 1, FOR{ED 100,

rfmaggregatenode [Ei%

L

e
S

FERA<ER, BFMET REM) (LA, EaTRERAE R T sic s o5 8, MR A
Je FA R LR B A A T 108 B 10 2 55 AL BUBAIR AL 5 — 47, HLZAT ARSI T A 145 28 kol 55
AT, BT 5E LY 58 5 e LA B #6858 B Y

A,
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7l
node

node.
node.
node.
node.
node.
node.
node.

= stream.create("rfmaggregate", "My node")
setPropertyValue("relative to", "Fixed")

setPropertyValue("reference date", "2007-10-12")

setPropertyValue("id_field", "CardID")
setPropertyValue("date_field", "Date")
setPropertyValue("value_field", "Amount")

setPropertyValue("only recent_transactions", True)

setPropertyValue("transaction_date after", "2000-10-01")

% 63. rfimaggregatenode JH1E.

rfmaggregatenode &4 HiELER B
relative_to Fixed T8 E WA Z i Y H 3,
Today
reference_date H# {UAE relative_to HpEF Fixed B A,
contiguous s USRI HEAT T R HE R, DUE A bR R AR [E]
fiCs — & IAE BRI P, B4 e dF e e s LA
T Ak 3
id_field FHE TR T BRI 7 2L 5.
date_field FE i H ARV RT R Y H 5 B
value_field FH B 1% 7 B DL DR VT R T (.
extension T AR Bode E TR BUR 2.
add_as Suffix FaE & VAR WET 85 2RI extension,
Prefix
discard_low_value_records i Ja MM discard_records_below ¥H,
discard_records_below #H7 AFEVHEL REM BHE, 45 5% — A /ME, JUETiZ
E SR R AP A, 85 BT ik
value FEIAK,
only recent_transactions i JH M specify_transaction_date
transaction_within_last % &,
specify transaction_date iz
transaction_date after H 1 HA P specify transaction date AR H, &
€28 5 HIHDATE 2 A i 6,85 H 2 e D .
transaction_within_last HF HAEH transaction_within_last WA R, 5
SE VT EARXE T RUR A AT B H 3 B i [m]
SRR R (R, A, He4E) , FEstH )
ZJE RE TR SRR 2 M,
transaction_scale Days HAMEH transaction_within_last B ATTH. 4§
Weeks & VT FARXE T DU AR ) H 95 B i i [ml
A BB (R, M. A8i4E) , 7RitA 3
Years ZJa iE s g S R 2 B e,
save_r?2 trak BIREANE P A RIS 5 1 H .
save_r3 trak HA®S save_r2 AW, BR8MEFHE=A
AL 5 1 H .
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Rprocessnode &%

WA SR ER R A, AR R HEAR Y RO
( R ) IBM(r) SPSS(r) Modeler it *F 3RS oEATIE L. BE
4 e, KRR B,

il

node = stream.create("rprocess", "My node")

node.setPropertyValue("custom _name", "my node")

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")
next_day<-day + 1

modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert datetime", "POSIXct")

7¢ 64. Rprocessnode J&TE.

Rprocessnode [Eff HiELR B
syntax FIEH
convert_flags StringsAndDoubles
LogicalValues
convert_datetime i
convert_datetime_class POSIXct
POSIXTt
convert_missing trk

samplenode E4%

’—\ HEATT RIEFIDRA TR, ZSCRRRAREARS, HhaEd)2, BRI (4Ha1)
(;iy FEAS,  HOREXT T 52 m PR RE AN FAR G IC R A e Hy A T e 1R .

Nl

/* Create two Sample nodes to extract
different samples from the same data */

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Simple")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("sample_type", "First")
node.setPropertyValue("first_n", 500)

node = stream.create("sample", "My node")

node.setPropertyValue("method", "Complex")

node.setPropertyValue("stratify by", ["Sex", "Cholesterol"])

node.setPropertyValue("sample_units", "Proportions")

node.setPropertyValue("sample_size proportions", "Custom")

node.setPropertyValue("sizes_proportions", [["M", "High", "Default"], ["M", "Normal", "Default"],
["F", "High", 0.3], ["F", "Normal", 0.3]])
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% 65. samplenode JF 1.

samplenode B HiEER B AA
method Simple
Complex
mode 2k B B AR E S AFRIIC SR,
Discard
sample_type £—1(F) & IRETT %,
OneInN
RandomPct
first_n BH B AR B E 7 H B8 E #UE R RYIE R,
one_in_n 7 B n-1 Ko EERER - SR,
rand_pct bies i BEHREFICRI A .
use_max_size s J& A0 maximumiscard_records_below % F.
maximum_size BH 168 BAREEAR R h S B F R RO EA R, ik
T2 TUATEIR, [FIIAEE First F1 Include If2:4
A5 H.
set_random_seed tri Ja BELRD i &
random_seed 27 fig 5 PR BE LA IO MEL
complex_sample_type Random
Systematic
sample_units Proportions
Counts
sample_size_proportions Fixed
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions HF
fixed_counts A
variable_proportions FE
variable_counts FE
use_min_stratum_size ik
minimum_stratum_size A YR Z4HE4 Sample units=Proportions B A"
7R T,
use_max_stratum_size ik
maximum_stratum_size A SR J4HE4 Sample units=Proportions B A"
R R T,
clusters FE

stratify_by

[field] ... fieldN]

specify_input_weight

i

input_weight

FE

new_output_weight

TR
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£ 65. samplenode JHPE (£5).

samplenode B4 56l Bt A
sizes_proportions [[string string valuel[string |1 sample units=proportions H
string valuel...) sample_size proportions=Custom, #&§&ZFEBIE
BT R A B AA.
default_proportion T
sizes_counts [[string string value][string |48 E ZF B ESE M MW A 5. iR ]
string value)...] sizes_proportions [ FIEEMIML, (HH8E M E R,
[[iE[H=R 8
default_count T

selecthode ¢

@ PRI R R TR E AN BAR A T e R e T IC R A, I, AT DU PR A S E B B X
k.

il

node = stream.create("select", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

% 66. selectnode JETE.

selectnode B BiEER EiR A

mode B8 ¥ R AR R E T E IR,
Discard

condition FRF e (EE R REdiE U

sorthode B4

“HEREAT AR — A B AT B (R TSR T B R R

#>

il

node = stream.create("sort", "My node")

node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing_keys", True)
node.setPropertyValue("existing_keys", [["Age", "Ascending"]])

% 67. sortnode JBVE.

sortnode Eff iR B
keys ViES e B M HE PRI 2 B, SRR ES L,
2 S (H.
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% 67. sortnode JEME (£E).

sortnode B4 HiEER B AR
default_ascending i ¥ A HE T N
use_existing keys trk ¥ 0 DLAT O HE T 57 B HE 0 Ste Al Ak 2R

TR HERF.

existing_keys

WBECHFMFE L T ., HANES
keys Ja AR,

streamingts Ef%

“PLal TS A LA BRI (] e SRR I 00 HEE AT VA, 100 A 5 0 T TR B39

)

il

node = stream.create("streamingts", "My node")

node.setPropertyValue("deployment_force_rebuild", True)
node.setPropertyValue("deployment rebuild_mode", "Count")
node.setPropertyValue("deployment rebuild_count", 3)
node.setPropertyValue("deployment_rebuild pct", 11)
node.setPropertyValue("deployment rebuild field", "Year")

% 68. streamingts JETE.

streamingts JE% HiEER B AA
custom fields tris W custom fields=false, HB-2fit F_Fdipe2sm
AR YETR B, 2R custom fields=true,
2LEEE targets F inputs,
targets [fieldl...fieldN]
DN [field]...fieldN]
method ExpertModeler
Exsmooth
Arima
calculate_conf ik
conf_limit_pct real
use_time_intervals_node ik 04 use_time_intervals node=true, HP-ZMfd H
I T TR R T RY B i R
use_time_intervals_node=false, HALIiHEE
interval_offset_position, interval offset Al
interval_type,
interval offset position LastObservation LastObservation Ris&E—1TERMNE.
LastRecord LastRecord EEMRE—MEFITHL
interval_offset HF
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% 68. streamingts JHEVE (£5).

streamingts JEM% HiRER B RA
interval type JEHA
&
ES
A
WeeksNonPeriodic
DaysNonPeriodic
HoursNonPeriodic
MinutesNonPeriodic
SecondsNonPeriodic
events FE
expert_modeler_method AT1Models
Exsmooth
Arima
consider_seasonal &
detect_outliers trids
expert_outlier additive i
expert_outlier level shift trids
expert_outlier_innovational ik
expert_outlier_transient trds
expert_outlier_seasonal_additive |45
expert_outlier_local_trend trids
expert_outlier_additive_patch i
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p E234 Ko <<Bsf ] o 1) A R ] — S ek
arima_d ki34 o B ) A1 R R ] — TR
arima_g B XIS 18] e A1 AR R ] — Je
arima_sp B o ) A1 R R ] — TR
arima_sd B XIS 18] e A1 AR R ] — J 1
arima_sq B o B ) A1 R R ] — SR
arima_transformation_type None X i 1] B AT R R — S
SquareRoot
Naturallog
arima_include_constant tri X< ()7 510 A AR R —
tf_arima_p.fieldname Ei iS4 Xof B )y A1 A SR R — Sk, T A R
5.
tf_arima_d.fieldname 2 Xof T ] R B AR SR R — ., TR
tf_arima_q.fieldname ki 54 D NN EIDS 2l ey st e - o i 2

.

%10 T OCREAE T SR
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£ 68. streamingts JHEPE (£5).

streamingts JE% HiEER ERE bk
tf_arima_sp.fieldname 37 D NN DS 2l ey el o R = C o i e 2
£
tf_arima_sd.fieldname Y XTI A B A AR A — @k, T S A bR
tf_arima_sq.fieldname ki 534 Xof F o T B A R [ — ., TR
tf_arima_delay.fieldname Y XTI A A1 A SR A — Sk, T A bR
tf_arima_transformation_type. None
fieldname SquareRoot
NaturalLog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive i
arima_outlier_level_shift ik
arima_outlier_innovational Vi
arima_outlier_transient ik
arima_outlier_seasonal additive |#pid
arima_outlier_Tocal_trend ik
arima_outlier_additive patch ik
deployment_force_rebuild i
deployment_rebuild mode 145
Percent
deployment_rebuild_count 0T
deployment_rebuild pct HF
deployment_rebuild field <FE>
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£ 11 E FREFTRER

anonymizenode E¥

:\, “HE A T AT B M BUE R TR A, T T s e e, R B S A
( FE RS (N P AR RIS B ) AR, KRR AR o L

Nl

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")
node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)
node.setKeyedPropertyValue("enable anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set_random_seed", "Age", True)
node.setKeyedPropertyValue("random seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", True)
node.setKeyedPropertyValue("use prefix", "Drug", True)
node.setKeyedPropertyValue("prefix", "Drug", "myprefix")

£ 69. anonymizenode J&E

anonymizenode E ESIEi il BAA

enable_anonymize tri WHEN True I, FEEGEE ST B (X4 TAEEZE S A
BFREFR) .

use_prefix tris WEN True I, WERCIGEESHETE, W2KEHIZHE. &

Tl Ak s ik A AR B, LA T AR R X A E
O B B R SRR .

prefix FH A T AR A X G R T2 A SCAHE, 2R R AR i A AT
(A, DR A RTS8 R R 1 B4R (A

transformation Random i A 2 2o A 4 vk T 44 1) B ) AR 4 S RO BEATL Y3 A ] 2 Y.

Fixed

set_random_seed triks WEHR True B, KEHHEE WA FE (R transformation
% 'E & Random) .,

random_seed 2 2 set random_seed ¥ E N True B, Z{EJEFEVLEAIFI T,

scale 7 24 transformation &N Fixed W, BLEMTFEHRE”, @
W, BRARREME R 10, {HATHESBE0/N DL S i 1

translate HF 24 transformation K E K Fixed W, DGL{EMAFH#, @,

FRRAEHAE N 1000, {H AT AE 2970/ DU Sl H
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autodataprepnode E'&

VDRI 6 (ADP) 15 (LTSRS S BRI IE, SR ST B JE B2,
() oot PR ROREE, TR FUREEE R BCERERE, 05T DU 2 F S
- AL SRR E, S E NP, BT, SR,

il

node = stream.create("autodataprep", "My node")
node.setPropertyValue("objective", "Balanced")
node.setPropertyValue("excluded fields", "Filter")
node.setPropertyValue("prepare_dates_and_times", True)
node.setPropertyValue("compute_time until date", True)
node.setPropertyValue("reference date", "Today")
node.setPropertyValue("units_for date durations", "Automatic")

Z¢ 70. autodataprepnode J&1E

autodataprepnode B HiRER Bt A
objective Balanced
Speed
Accuracy
Custom
custom_fields ik LUE SN b WA S S T TREDSE R ER TN 1PN
GALEEN = S (1B N 3 B = M o i St R o]
TS
target FE e — 1 BiRFE.
inputs [field] ... fieldN] B P fe FE ) i A TS 7 B
use_frequency trik
frequency field FE
use_weight ik
weight field FE
excluded_fields g
I
if_fields_do_not_match StopExecution
ClearAnalysis
prepare_dates_and_times trdks FEHIX A H 5 R B vl
compute_time until_date ik
reference_date Today
Fixed
fixed_date date
units_for_date_durations Automatic
Fixed
fixed_date_units Years
A
H
compute_time until time Vi
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2 70. autodataprepnode JEPE (£E)

autodataprepnode E HERR B
reference_time CurrentTime
Fixed
fixed_time I [i]
units_for_time_durations Automatic
Fixed
fixed_date_units N:h)
78R (N)
b
extract_year from date i
extract_month_from date Yy
extract_day_from date ik
extract_hour_from time trids
extract_minute_from_time ik
extract_second_from_time i
exclude_low_quality inputs ik
exclude_too_many missing Yy
maximum_percentage missing HF
exclude too many categories Vi
maximum_number_categories HF
exclude_if large category ik
maximum_percentage category HF
prepare_inputs_and_target ik
adjust_type_inputs s
adjust_type_target tris
reorder_nominal_inputs Rk
reorder_nominal_target ik
replace_outliers_inputs Rk
replace outliers_target ik
replace missing_continuous_inputs |frik
replace missing_continuous_target |f5ds
replace_missing_nominal_inputs s
replace_missing_nominal_target ik
replace missing ordinal_inputs s
replace_missing_ordinal_target ik
maximum_values_for_ordinal HF
minimum_values_for_continuous HF
outlier cutoff value 7
outTier_method Replace
iz
rescale_continuous_inputs i

E

BN

=

FBHRE T AR
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% 70. autodataprepnode JEVE (%E)

autodataprepnode E HERA B AR
rescaling_method MinMax
ZScore
min_max_minimum HF
min_max_maximum HF
z_score_final_mean HF
z_score_final_sd HF
rescale_continuous_target Rk
target final mean HF
target_final_sd HF
transform select_input_fields i
maximize_association_with_target s
p_value_for_merging HF
merge_ordinal_features ik
merge_nominal_features i
minimum_cases_in_category 7
bin_continuous_fields ik
p_value_for_binning 7
perform_feature_selection ik
p_value_for_selection 7
perform_feature_construction ik
transformed target name extension | FHFER
transformed_inputs_name_extension | F&FH
constructed_features_root_name TR
years_duration_ name_extension FF
months_duration_ name_extension TR
days_duration_ name_extension FrF R
hours_duration_ name_extension FHFER
minutes_duration_ name_extension FrF
seconds_duration_ name_extension TR
year_cyclical_name_extension FIFE
month_cyclical_name_extension TR
day_cyclical_name_extension FEHE
hour_cyclical_name_extension FIFER
minute_cyclical _name_extension FIFE
second_cyclical _name_extension FHFER
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astimeintervalsnode E4%

JEAGIHA] B BG4 55 Analytic Server (AS) AFEZE.  AS OIS [a][A]FE 5 5 (¥F SPSS Modeler
RI17.0 ) A A B4 [RG5S BE4X DI BE, SXSEINRERT LY Analytic Server it & i,
S

B AS 4 *“Hsf ) [ET B 5 s ] A S A ][] B R A T AT A 3 sl st s 1) v e S

FRTL IR A RN ) f,  RD E4F,

# 71. astimeintervalsnode JBVE

astimeintervalsnode B HiRER B
time field FE HEbZ e 7B, W AT BRI
REE, DIFRHeS R EIRE. SRR AR TR
FEB, WA HEN AEZRS.
dimensions [field] field2 ... fieldn] |36 B 4R P 5 BB R B A 45 A~ 1] 7 471,
fields_to_aggregate [field] field2 ... fieldn] | 7E 5 USR] F B A IA] Be iy ad R, X S B
PEATILE,  TES TR s b, A iEds iy
B AL R I B
binningnode Ef%
ORG-SR A ES: (AR FENEASCIEFRNE X (£5) FB. #
@ PR SN B AR — A S AU A B KB, MBS T 2 8] 1
I

%, —HEIEHTB g, BIAIARSE: # B IR A AL

il

node = stream.create("binning", "My node")
node.setPropertyValue("fields", ["Na", "K"])
node.setPropertyValue("method", "Rank")

node.setPropertyValue("fixed_width_name_extension", " binned")
node.setPropertyValue("fixed width_add as", "Suffix")
node.setPropertyValue("fixed_bin _method", "Count")

node.setPropertyValue("fixed _bin _count", 10)
node.setPropertyValue("fixed_bin _width", 3.5)
node.setPropertyValue("tilel0", True)

2 72. binningnode Bt

binningnode JEf4 b7l Bt AA
fields [field] field2 ... fieldn] | BEHITAHMRIIELL (FUEEE) FB.  nl AR
Xf 24 F BT 4R
method FixedWidth T R g (S50 w5 o # S k.
EqualCount
Rank
SDev
Optimal
rcalculate_bins Always T8 8 2 TR 30 G B A U BRAT 4 s I 28
IfNecessary BEAEARAI G, IR UK AR ) I 4 2
IR E s da e
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£ 72. binningnode JEME (%)

binningnode Bl bk E il B
fixed width_name_extension FIF RGP R4 _BIN,
fixed_width_add_as Suffix R KR R ARMBIFERANERR (FH) i&
Prefix eIk (AT . 8P A income BIN,
fixed_bin_method Width
Count
fixed_bin_count B i 58 0 7 B 8 SERE g (26 51) %
HUEES 6
fixed_bin_width SH MT R RGEERE CREEEEEED |
equal_count_name_ FF A 4N _TILE,
extension
equal_count_add_as Suffix $ 8 Tl FAARAE p-tile ¥E2E U FER AP R
Prefix & (RSaETs) . SEY A% _TILE Nk
N, He N &L
tiled tri AR, AR E 25% B
fH.
tiles tris A AL LB
tilel® bk Ao i .
tile20 tris A = R
tilel00 bk AR o R
use_custom_tile ik
custom_tile name_extension FIF BB Y 4N _TILEN,
custom_tile_add_as Suffix
Prefix
custom_tile B
equal_count_method RecordCount RecordCount J7ikJ& AR BL MR 2 E 1
ValueSum 0%, 1M ValueSum J7 ikl icic &5 &40
R 1 S RIAE 4.
tied_values_method Next T 58 B AR RS R
Current
Random
rank_order Ascending MWEEaTE Ascending (FKEIRICH 1) B
Descending Descending (i EHFRIE N 1),
rank_add_as Suffix BEBETE T HER . B A E 2 FUHE .
Prefix
rank trids
rank_name_extension F e BREY 4K _RANK,
rank_fractional prak HEFF LR, FEvh 3= B A (B2 HE e (B DA R G
FILMME BRI, S EEEFFEA T 0-1 Z[H],
rank_fractional name_ FFH RAEY 4N _F_RANK,
extension
rank_pct prak B A HE R BR DLR A A AU 3 3¢ Ko R L
100, A EBERAE T 1-100 JERIK.
rank_pct_name_extension FIFH AV ES4 A _P_RANK,
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£ 72. binningnode JEME (%)

binningnode Bl HiEER Bt
sdev_name_extension FAF
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension FrFER BBy 4N _OPTIMAL,
optimal_add_as Suffix
Prefix
optimal_supervisor_field FB VeI B 7 BRI 7 BL, A R v Bt S
ZHK,
optimal_merge bins ik i W FT A BB/ E TR 23 2R ) 5
REAREB I,
optimal_small_bin_threshold L2378
optimal_pre_bin trak FORE AT RAR R T,
optimal_max_bins B i€ _ERR DL G B i Ko 2 k.
optimal_lower_end_point Inclusive
Exclusive
optimal_first bin Unbounded
Bounded
optimal_last_bin Unbounded
Bounded

derivenode E¥

— CURAED T K B OB (SR — A2 B 7 B B 7 B
5 RS, A RS

i 1

# Create and configure a Flag Derive field node

THECR A,

node = stream.create("derive", "My node")

node.setPropertyValue("new_name", "DrugX Flag")

node.setPropertyValue("result_type", "Flag")
node.setPropertyValue("flag_true", "1")
node.setPropertyValue("flag_false", "0")

node.setPropertyValue("flag_expr", "'Drug' == \"drugX\"")

# Create and configure a Conditional Derive field node

node = stream.create("derive", "My node")

node.setPropertyValue("result_type", "Conditional")

node.setPropertyValue("cond_if_cond", "@OFFSET(\"Age\", 1) = \"Age\"")
node.setPropertyValue("cond _then_expr", "(@OFFSET(\"Age\", 1) = \"Age\" >< @INDEX")

node.setPropertyValue("cond else_expr", "\"Age\"")

411 5 OFE

it
A
P

AR RJB A

(SRR e SR TN
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Tl 2

VERIABE AP AEPI 20 3 45 XPos Al YPos BRI 41, X A8 HIAER — A sl (BN AN E) /) X
Y Aebn, BRMAGUE IR A, T RAR TR E AR R URIZ R X MY AR AR U B B A ]

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new_name", "Location")
node.setPropertyValue("formula_expr", "['XPos', 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the
# specifics of the geospatial object
node.setPropertyValue("geo_type", "Point")
node.setPropertyValue("has_coordinate_system", True)
node.setPropertyValue("coordinate_system", "ETRS 1989 EPSG Arctic_zone 5-47")

% 73. derivenode |E1E

derivenode [Ef% HiiE%a! IR pas
new_name string B B 4478,
mode Single HERSIREZNFE.
Multiple
fields E7ES AT ZE T AT RELNT B
name_extension string fREFTBAIY R4,
add_as Suffix WU RAB I A T BARAS (JFk) 5
Prefix F& (KRB) .
result_type Formula AT S TR 5 7 B
Flag
Set
State
Count
Conditional
formula_expr string I AR YR A Y s R T S T BLE
ik,
flag_expr string
flag_true string
flag_false string
set_default string
set_value_cond string KR EY, AT RS 45 e M
LEES SRS
state on_val string TEEWE On Sl 5= By (A,
state_off_val string fREM R Off ZfFmb B B (.
state_on_expression string
state off_expression string
state_initial On HFF B EAICR AT G On 3
off OFf,  AIFEN 2 A A A5 PRIN B i B
count_initial_val string
count_inc_condition string
count_inc_expression string
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% 73. derivenode JEPE (£E)

derivenode JEM% HiELRE e puy
count_reset_condition string
cond_if_cond string
cond_then_expr string
cond_else_expr string

formula_measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

M PR T e S TR AR T B O I g
i, B Rha) setter BREAE I — AN TFAT B EL
Hfr —/~ MeasureType fH. getter PEECKf
1R%R [E] MeasureType fd.

collection_measure

Range / MeasureType.RANGE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET
Typeless / MeasureType.TYPELESS

PR TB (RES 0 ;951%R) , e
PR S LA 5% 1B FA ) 2R,

geo_type Point X A ], MR B R
MultiPoint AN:OE: S T DO B i D=3 I S VAT 2S § (= X:f]
LineString B TRE R FF— 3
MultilLineString
Euk7
MultiPolygon

has_coordinate_system AR XF T s ] B, MR E LT RO

A AR R
coordinate system string YT B A B, sE M T B

AR AR

ensemblenode &%

i

a TS A .

s

Zn|

# Create and configure an Ensemble node
# Use this node with the models in demos\streams\pm_binaryclassifier.str
node = stream.create("ensemble", "My node")

node.setPropertyValue("ensemble target field", "response")

node.setPropertyValue("filter_individual_model output", False)

SRR AT S A G A SO DR RS B, RORE BT R AR Y T 2 Bl A R — R R AR Y

node.setPropertyValue("flag_ensemble _method", "ConfidenceWeightedVoting")
node.setPropertyValue("flag _voting tie selection", "HighestConfidence")
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F£ 74. ensemblenode JBVE.

ensemblenode & HiEzn iR

ensemble target field FB AR BT R A A4S E H AR
B.

filter_individual_model_output trik i S A B A A BRI PR £ R

flag_ensemble_method e B JT 0 8 BT i . (4

ConfidenceWeightedVoting
RawPropensityWeightedVoting
AdjustedPropensityWeightedVoting
HighestConfidence
AverageRawPropensity
AverageAdjustedPropensity

SE [ H bR b T B, A2 %k
H.

set_ensemble_method e e MT B E IR  ik, (Y ik
ConfidenceWeightedVoting EME bR A2 FB, A2 iz
HighestConfidence H.

flag_voting_tie_selection Random MRCEERZ T, I ATEE ks
HighestConfidence M5, AP 1 AR AR B
RawPropensity W, A& HZRE.
AdjustedPropensity

set_voting_tie selection Random MR E e Tk, WG E iR a5 1Y
HighestConfidence Tk, AR R H AR R 24 S B,

Ao %L E,
calculate_standard_error s MR R B ESR, WA BN T

SIaATAR IR 22 22 TR DLVE S D A
FEHSEZ B EM; IRl
S E AT T O

fillernode E¥

)
.++
.

il

node = stream.create("filler", "My node")
node.setPropertyValue("fields", ["Age"])
node.setPropertyValue("replace_mode", "Always")
node.setPropertyValue("condition", "(\"Age\" > 60) and (\"Sex\" = \"M\"")
node.setPropertyValue("replace with", "\"old man\"")

2 75. fillernode J& 1t

BGU R B T B O i, 0T LAgERE AT CLEM &4 ({140 @BLANK(GFIELD) ) fY#5#t
fH, =0, T RIBEReRs A 2 (e s (8 B o0 e fH.
DB el 2R

TN RGBSR

fillernode B b6 el Bt A
FB PIES B rp L e A R e B
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£ 75. fillernode JEE (%)

fillernode B4 gD B iR

replace_mode Always AL AE, FEESE, b RS
Conditional B AP BEA TR e,

Zz3

i il

Null
BTankAndNul1l

condition FAIf
replace_with FITH

filternode Ei%

<:\\1 R R AT () B Ear AT BORR T BN — Y R ) 5 — P AL

il

node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new name", "Drug", "Chemical")
node.setKeyedPropertyValue("include", "Drug", False)

{£F default_include Etf. iR, WE default_include BHMEAS B NEIESHR A TR, BR
B E ST Y BT B AT, IXAEDNRE b A AT s o g s XS HE R A R T B iE T B L.
fian, s T AT A
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the list
for f in ["Age", "Sex"]:

node.setKeyedPropertyValue("include", f, True)

RS R T B AFRR P, MESFHAMPTA TR, BUE, RO EUGa TR BEAE R E A B

node = modeler.script.stream().create("filter", "Filter")

node.setPropertyValue("default_include", False)

# Include these two fields in the 1ist

for f in ["BP", "Na"]:
node.setKeyedPropertyValue("include", f, True)

BEIF 2 FE L 98 # h AR A T B, R R IR A B (4Rl P, BP, Na) . #AITEBE, A%
default_include W{HE % E N False A& HSNEFE A FE.

BEAbh, AR B (I A sl 8T XA HEfs default_include HYMEEMA True, W ILATH
KARE, B, of R FEm ARG B SIS BL IR BE, AT e R A XA A4 R AT S
5, KA BT B AT ALY
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£ 76. filternode &1k

filternode B HiiRER EER A
default_include i M6 BT R AL i 1 g B B R
Aﬁ.

EE, WENEEASH OSBRI T
B B REBEBE DL TR SRR E T
B, ARMHADTERGE S W T A s,

include tids JHF B4 M 5k =~ B A B A2 S A
new_name FITH

historynode [E1%

“P ISR AU QT B R A ZANC R P R T B, P s sRNY sUR R U R
o, AR RS, T SR AT, AT A A B HE R A O R AT HE

Zy|

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fill_with", "undef")

£ 77. historynode J&1E

historynode B iR Bt A

FE ViES T B e SR

offset 7 g EE R AR By s e s o B (A 1 R e %

CHYFEFEZBIATICE) |

span HF F6 B PSR IUE 0 DI ATIE SR EE .

unavailable Discard ALFUR G Dy L E LR, WS EEE
Leave DUET A IE S N g e sE R LA e % (i
Fill B LR ) .

fill with FI5ER ¥6 B AT IC D g S ME W] 18 SR 1 1 5 F
#HF e,

partitionnode [Ef%

SPXAT A A X B, T BOADR e o E D S e SR DU AR A B I 2, AN Rk

d B B .
3

il
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node = stream.create("partition", "My node")
node.setPropertyValue("create_validation", True)
node.setPropertyValue("training_size", 33)
node.setPropertyValue("testing_size", 33)
node.setPropertyValue("validation_size", 33)
node.setPropertyValue("set random seed", True)
node.setPropertyValue("random seed", 123)
node.setPropertyValue("value_mode", "System")

2 78. partitionnode J&

partitionnode JE% HigRa Bt A

new_name TR H 9 R B 23 DX B 44 PR

create validation trid A A T A @ A Ik 3 X

training_size 27 BB KRR AT G B E 20 e (0-100),

testing_size BH BB iAo XA A S A E 20 B (0-100),

validation_size k11230 B BLAR IR S DX ISR Bl 5 I B 20 b (0-100), A
RARANEITESF X, ] 20 10 1.

training_label FI NI X bR 45

testing_label TR M3 X AR 2.

validation_Tlabel FRF e BRE s X ARas, R ARG IRIE P IX, ) 20 ik
JRTE.

value_mode System fi s T RREdE A XAE. B, %

SystemAndLabel A PAFR N ARG 1, 7% Training I F M
Label 04 1 _Training,

set_random_seed iR (8 6 58 S A WA P A R Y BE LA

random_seed B A6 E B BENLR 7 8. a0 2R B M,
set_random_seed W% E A True,

enable_sql_generation M5 (H e A SQL [EE LI B id 2 7r X,

unique_field TR AT B, AU O LABE AL AT 8 42 A9 7 =0k
i S g P LU R i A (=
enable_sql_generation DA% E A True,

reclassifynode [Ef%

&

B RAREA AL

Zn|

node = stream.create("reclassify", "My node")
node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace field", True)
node.setPropertyValue("field", "Drug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])
node.setPropertyValue("name_extension", "reclassified")
node.setPropertyValue("add _as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)

CHUH A A — L0 A 7 — 4.

X FR A2 5 o A 43-H T AT 6 K T 04,
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node.setPropertyValue("use default", True)
node.setPropertyValue("default", "BrandX")

node.setPropertyValue("pick _1ist", ["BrandX", "Placebo", "Generic"])

2% 79. reclassifynode J&1E

reclassifynode JE% HiEZER LAt

mode Single Single Xf —FBIFAMTEE K. Mul-
Multiple tiple G T R XF 245 Brfk 4722 e m ik

i,

replace_field ik

field FIH A Single 2 .

new_name FF e {UAE Single 52T A,

fields [field] field2 ... fieldn] |{YAE Multiple =T f.

name_extension FITH {XAE Multiple #5=XT H,

add_as Suffix {XAE Multiple =X T 1,
Prefix

reclassify FIFH FEAEM S b fE .

use default trik il FH B .

default Fh 8 E TR (A,

pick_list [string string ... string] | SRV AT HHHE IR DU FEFR S 0 T

LS

reordernode E#

B EHE T AUE X T T R FUR B A AR, UG R  BE 2 (B A R T AL,
BN Wk, FIRRMFBAARS, LB ROBOR N, BCRIE A B T T 7 E B B B

Zn|

node = stream.create("reorder", "My node")
node.setPropertyValue("mode", "Custom")
node.setPropertyValue("sort by", "Storage")
node.setPropertyValue("ascending", False)
node.setPropertyValue("start_fields", ["Age", "Cholesterol"])
node.setPropertyValue("end_fields", ["Drug"])

% 80. reordernode &1k

reordernode Etf b6 e i) Bt A

mode Custom w]DLE s E AT HE, ol DR B e O
Auto 7.

sort_by Name
Type
Storage

ascending s

start_fields [fieldl field2 ... fieldn] | ¥ FBHHAR XL TR )G,

end_fields [fieldl field2 ... fieldn] |37 Bty AFX L5 B2 i,
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reprojectnode [Ef%

£ SPSS Modeler ", ik MEAR =SBl R E, 23 [B]-i 8] BT (STP) 45 s M B AT AL 35 s 2
[ . ) REGTGE FHBCE A AR AR, (BB Y s AT LU B 5 A AT {6 1) 7 S B AR A 208 1S K0 4 2
PRAR.

% 81. reprojectnode &1k

reprojectnode BT HEER B
reproject fields [fieldl field2 ... fieldn] | ¥ PTHEHITETBGCTE.
reproject_type Streamdefault TR G X - B AT HORT R
Specify
coordinate_system T BTN HFFEM AR AR sl
set reprojectnode.coordinate_system =
"WGS_1984 World_Mercator"

restructurenode B¢

). i, HEE-NEN AER KT, HAE 18T . BlE A0 E, WP RIE =4

@ CH AT U — A T BLEUR AR T B Oy — AL B (T B B O 5 — T B (A
B (0 . HE . ), BT EOTRE S SR A,

il

node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include field name", True)
node.setPropertyValue("value_mode", "OtherFields")
node.setPropertyValue("value fields", ["Age", "BP"])

F# 82. restructurenode JEVE

restructurenode JE1* HigzEn B AR
fields_from [category category cat-
egory]
all
include_field_name PR F7R R AL A AL 1 7 B h i 7 Be 4.
value_mode OtherFields FoRMT HERGEWATFEIEMEARL, R
RE P OtherFields, WAZIHg B M 4L B
(ZFF30) . WS Flags, WE BE(EAR
value_fields BZES Ik value_mode /& OtherFields, WJStJm MR
WARRHY. AR RS = B VR (S Be.
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rfmanalysisnode &%

il

node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied values method", "Next")

AT, SAMGLT (REM) S8 355, G007 LU 2 7 diill — A S 7™ it s 5 (s Te] (G
B BEPEEEIER () LR PSRBTS0 (), BiE iR R R [
Bk,

node.setPropertyValue("recalculate bins", "IfNecessary")
node.setPropertyValue("recency thresholds", [1, 500, 800, 1500, 2000, 2500])

7 83. rfmanalysisnode &1k

rfmanalysisnode M £ R B AR
recency FE RELH B, EA AR H . e fa
HfH.
frequency FB FRE AT,
monetary FB FBERTFEL.
recency_bins B 6 78 B A AT PR 20 R R
recency_weight T FeEN T FASAAE,. B ER 100,
frequency bins L2378 6 B A MU R
frequency weight T RN TR AE, SR 10,
monetary_bins B fi8 8 B Y B T O B
monetary_weight #7 WENMTRMEdENAE, BEEN L
tied values_method Next 8 8 B AR 2 R A a B
Current
recalculate_bins Always
IfNecessary
add_outliers i HAY recalculate_bins #% K IfNecessary B A
AL WRERE, WAL FRR LT il s
BT gerb, IF B 2L B RIS
IERG =i G
binned_field Recency
Frequency
Monetary

recency thresholds

value value

LB recalculate_bins ¥4 Always I A 1] A,
e E L 7 B SRR LR (., — g
ERREEAET D F e TR filhn, (10 30
60] FI5E XPINIrER, B — 00 LR B AT R
{43 50 10 A 30, 55 A KPR AL {E 4 51
A 30 F1 60,

frequency_thresholds

value value

HA524 recalculate bins ¥4 Always B4 1] A,
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% 83. rfmanalysisnode JEE (%)

rfmanalysisnode B HiEER

B1ERR

monetary thresholds value value

HA7Y4 recalculate_bins ¥4 Always i 7 n] i,

settoflagnode [Ef4

YRR

R R — A B2 A 44 U7 BUE S 2y AR MR 57 BL

=

Zn|

node = stream.create("settoflag", "My node")

node.setKeyedPropertyValue("fields from",

node.setPropertyValue("true value", "1")
node.setPropertyValue("false value", "0")

node.setPropertyValue("use_extension",
node.setPropertyValue("extension",

True)
"Drug_Flag")

node.setPropertyValue("add as", "Suffix")
node.setPropertyValue("aggregate", True)
node.setPropertyValue("keys", ["Cholesterol"])

7 84. settoflagnode J&VE

IIDrugII’ [IldrugAll’

settoflagnode B HHEER B
fields_from [category category cat-
egory]
all
true_value TR 68 B B AR AR T AT R B, B E A
T,
false_value FRF 2 B B AR AR I ST A AR (. B
3
use_extension trik it I 444 AR bs i 5 BN I 2R BT 2%
extension FIH
add_as Suffix T8 EFTIR IN e 4402 Ja ZE ) /i 28
Prefix
LR PRk R F BO sk r . WA AR bl
BOAE, WaE A ARET .
keys VES KHEF B,

statisticstransformnode E¥

]

>

BRI SRS R, 52 FE 277 T 1 statisticstransformnode J&@ 1 4 |

Statistics ¥ 540X IBM SPSS Modeler H 3R HIZAT T LR IBM SPSS Statistics i

A M IBM SPSS Statistics (414 A] Il 7K,

11

BN

=

T B B

{2}:‘./&
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timeintervalsnode B4

s T i oy 5 i DX TR, R P () e A e BT R AU ARAE (UPRAT ) . AR Y 1] Bl
< ) ARSI, IS AT AL AR T B O R (i 4 R R DA A AT TSR IX ],
—

il

node = stream.create("timeintervals", "My node")
node.setPropertyValue("interval type", "SecondsPerDay")
node.setPropertyValue("days_per week", 4)
node.setPropertyValue("week begins_on", "Tuesday")
node.setPropertyValue("hours_per_day", 10)
node.setPropertyValue("day begins hour", 7)
node.setPropertyValue("day begins minute", 5)
node.setPropertyValue("day_begins_second", 17)
node.setPropertyValue("mode", "Label")
node.setPropertyValue("year start", 2005)
node.setPropertyValue("month_start", "January")
node.setPropertyValue("day start", 4)
node.setKeyedPropertyValue("pad", "AGE", "MeanOfRecentPoints")
node.setPropertyValue("agg _mode", "Specify")
node.setPropertyValue("agg_set default", "Last")

2 85. timeintervalsnode J&E.
timeintervalsnode Eff iR JEHEt AR
interval_type None
JEIER
CyclicPeriods
Years

=

H

DaysPerWeek
DaysNonPeriodic
HoursPerDay
HoursNonPeriodic
MinutesPerDay
MinutesNonPeriodic

SecondsPerDay
SecondsNonPeriodic
mode Label 182 B EE SR IC 0 SR IR SR EAR YR 4 o H AL
Create ] AR B 1) 7 B A 2 P 3.
field TE MAREEAE A @ AT, 45 R E M ICE W
I 3 ms A] F)  B.
period_start k374 1 5 Jil A BTG 2 Jil B 12 4 DX
cycle start B A6 A J] 100 11 7 4 T 4.
year start ki 534 XIS R (AI 26, 48 5 — 4> X [a] i g Y 45
.
quarter_start R XF T aE DX (RIS, i 58 — A~ X [H) o i 1) 2
.
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% 85. timeintervalsnode JETE (4E).

timeintervalsnode B4

HiRxE

EERbA

month_start

January
February
March
April
May

June
July
August
September
October
November
December

day_start

bics /4

hour_start

biis34

minute_start

bics /4

second_start

biis4

periods_per_cycle

bizs /4

X AEER R, FE A SR TR A ]

fiscal_year begins

January
February
March
April
May

June
July
August
September
October
November
December

XTI, 15 WA B TG B9 A .

week_begins_on

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
Sunday

XTI (=R R, — K/
o RPE B - KPR ), fEE AT
BRI — K,

day_begins_hour

b3 4

X EEATEX ] (— RPN, — KPR 5
PAI— KPR ), $8E — RIFIRE/, W]
PI5 day begins minute Fil day begins_second
iRk, LhgE — A HERmEE, 64
8:05:01. W% WL Tl MY AR .

day_begins_minute

k2574

X F R (— RPN, — R E s
B — KAy ), $8E — KIFRE 8 (4]
o 8:057% K] 5) .

day_begins_second

XEF R TE] (— KA/, — R
A — KA ) L 8 - RITIREGE (i
8:05:17 YR 17) .

days_per_week

biis4

XEF AP (=P RR, —RFH) /N
o RPE B — KRR ), fEE - A
YR AL
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% 85. timeintervalsnode JETE (4E).

timeintervalsnode E14

HiRxE

B

hours_per_day

bics 4

XEF R TE] (— KA g/ — R
B — KA ), F5E — KA/

interval_increment

30

XF =R E R — KRR, e N4
ESRIEAN Y 73 B RS AR

field_name_extension

T

field _name_extension_as_prefix

b

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD/MM/YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

time format

"HHMMSS"

n HHMM n

IIMMSS n
"HH:MM:SS"
"HH : MM"

"MM:SS*"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"

"HH .MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"
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% 85. timeintervalsnode JETE (4E).

timeintervalsnode B4

HiRxE

EERbA

aggregate

Mean

Sum

E (Mode)
Min

Max

E—"(F)
Last
TruelfAnyTrue

e T BT .

pad

z3

-
MeanOfRecentPoints
True

False

e T B AR TT T .

agg_mode

A1l
Specify

A AR A T B B pR G S T A

TFB, AR E B A BN R AR

agg_range_default

Mean
Sum
E (Mode)
Min
Max

o 7 S B LA A B4 R A

agg_set_default

XE (Mode)
FE—1(F)
Last

TR 45 L7 By LA AR B4 R AL

agg_flag_default

TruelfAnyTrue
#X# (Mode)
E—1(F)
Last

pad_range _default

z3

i il

MeanOfRecentPoints

6 7 YA 7 VE S B LA A B4 R A

pad_set_default

3

i i

MostRecentValue

pad_flag_default 2
True
False
max_records_to_create B Fi 5 TELT0 P 91N B Y B R SRR
estimation_from beginning iz
estimation_to_end i
estimation_start offset A
estimation_num_holdouts B
create_future_records Vi
num_future_records B
create_future field i
future_field_name TR

811 B P BRI RUB
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transposenode %

e B RS AT SR i R, DMEIC R AT B, T BUE L.

=

il

node = stream.create("transpose", "My node")
node.setPropertyValue("transposed_names", "Read")
node.setPropertyValue("read from field", "TimeLabel")
node.setPropertyValue("max_num_fields", "1000")
node.setPropertyValue("id_field name", "ID")

% 86. transposenode &1k

transposenode Ef% b3 e B
transposed_names Prefix AT DIARYE A 2 BT B sh A o = B 4, T RUAEL
= P 19 AT = Bh 3 UR - B 4.
prefix FITH
num_new_fields B Il IRTEE,  f6 € AR BT B iR R EH
read_from field FE AR AR B, M BOb e — > il i -
B, A IMERAT Y RN RS A
max_num_fields B M F B A FRN, H5 o R DLk A g
FOpNIE 2418
transpose_type 8F BT, HugEiEs: (BEulE) 78, #=
FFER W] DL B 7 B B o8 LT SR8 BT A T
Custom B
transpose_fields VIES 68 {1 B TE X PRI i B 1 - B
id_field_name FE

typenode EtE

= SR S E T BOCEBAR B YL, G, TR E BT BRSO (FELE A AR
(-:1} PR BCE AT AEBBUREM RS M AR AT RN TR MG, 1527 BoAER
&, Loy BaRE.

il

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC", "drugD", "drugX",
"dY‘UgY" s "dY‘UgZ"] )
node.setKeyedPropertyValue("null_missing", "BP", False)
node.setKeyedPropertyValue("whitespace missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value labels", "BP", [["HIGH", "High Blood Pressure"],
["NORMAL", "normal blood pressure"]])
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R, FUUEOL N ] RERT 250 4 S SRR SSOA R LM SRR Is AT, N, ROARRERTT AR fields from
e, TR IR T SO TIZ T S DL SE X S B

tablenode = stream.createAt("table", "Table node", 150, 50)

stream.link(node, tablenode)

tablenode.run(None)
stream.delete(tablenode)

7% 87. typenode JETE.

typenode [El% HiRLR B AR

direction Input F B e TR .
Target £ EBMAFEERCIES. Rk RAH
Both AT HE IR XX B 1 37 45,
None
Partition
Split
Frequency
RecordID

type Range TR (LARTRR By <) |
Flag ¥ type WEN
Set Default <iEFETA values B4
Typeless wE, HHME value_ mode MIHE N
Discrete Specify, MBATHEE N Read.
OrderedSet PIES
Default value _mode % & & Pass & Read,

AT E type A& value_mode,

E: PYEBAE A R 2R 2RI b A IR B A
BEAR., WEXRWM TR WHE > E2Es
-> AXAFES > AFET > 7K
storage Unknown FRAME RN R fE .

String
Integer
Real

Time

Date
Timestamp
check None BRI PR A A 1) SRR S
Nullify
Coerce
Discard

Warn
Abort

values [value value] MNP EER RS, B MEm/ME, 51
BRKME., MNTHAXFE, fBEFAE. s
BTFEmME, B MERE false, T —MERE
true, WEZBMERH I value_mode JE ik
‘BN Specify,
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% 87. typenode JETE (£E).

typenode it HiRER iR
value_mode Read FEEARE = R, AR R E R
Pass o Specify;, B ARFEM, kA values J&
Read+ P,
Current
Specify
extend_values trak % value_mode & A Read WP, WA T
MR BT R MBS I F B, &N
FoOUE SR 30 (5 IR0 i e L.
enable missing |45 MURER T OB, JUE X B e (E  BRER,
missing_values [value value ...] ¥ 12 FE R g B 1) B e,
range_missing & TRERG AT BOE LERE () U,
missing_lower T 24 range_missing JNEMN, 45&EBRMEEEIT
R,
missing_upper FrfH % range_missing JyELIN, H7E R ETEFN L
P,
null_missing tri WEATH, 5 (FERAHERA $nulls Ik
FESXAE ) B A ERRAE,
whitespace_ miss- | #5d WER T, NEEEE (S, HIRA T
ing ) BB BT Ry B 2R AR
description FAFE FrFBR A L.
value_labels [[Value LabelString] [ Value LabelString] ...] AT NE N8 ERR .

display_places

Fic314

H B E WoRE N R (U T RL REAL f£6ik

MFB) . fEN -1 B, K s .
export_places B N BRI N (BUAT L REAL £
BERTFE) . fHR -1 B, R AR (.
decimal_separator | DEFAULT HFBOCE IR (VAT L REAL F7651Y
PERIOD TE) .
COMMA
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% 87. typenode JEE (£E).

typenode B¢

HiRxE

B

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH

"DD/MM/ YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/ YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

B E H g ((UPT L DATE = TIME-
STAMP i B ) .

time format

"HHMMSS"

n HHMM n

IIMMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

AEBEEBENERES (TR TIME 5 TIME-
STAMP i B ) .

number_format

DEFAULT
STANDARD
SCIENTIFIC
CURRENCY

N Bk BT on s L

standard_places

kics /4

FF B AR AR A 20 R /N g, (N
-1 B, BMHRSEE, EEE, HAW
display_places il th = H ot gdE, EHEHC
ANFHE .

scientific_places

biis4

7 BB DARE S Rk 3 7R i /s A
62 -1 I, K6 s A,

currency_places

N B B LSS SRR BN R (B
-1 IS, KRR B (A
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% 87. typenode JETE (£E).

typenode E14

HiRza

EEatA

grouping_symbol

DEFAULT
NONE
LOCALE
PERIOD
COMMA
SPACE

BB AT,

column_width

bics34

AFBORESN ., EHA -1 bRVUE IR E
A Auto,

justify

AUTO
CENTER
LEFT
RIGHT

N B B A L

measure_type

Range / MeasureType.RANGE
Discrete / MeasureType.DISCRETE
Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET

Typeless / MeasureType.TYPELESS

Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

XL RS type BARIZTET, EWLH
TEXGFEMARKNE, XANZLET, 7
Python A, BRTLLA] setter pREL#HH
Hr—~ MeasureType {H, T getter ¥fifZR Bl
MeasureType {H.

collection_ mea-
sure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET

Typeless / MeasureType.TYPELESS

XTHRGTFER (RER 0 WHIR) , Lk
S IR JZ(E AT SR I ) 2R

geo_type Point XTI A A B, SRR R BT R
MultiPoint NI A [T RS, XA 1% 5 X S {E Y 51
LineString P
MultiLineString
Egubiz
MultiPolygon
has_coordinate | 7i/KfE XF T S ] R, MR E SO T BRI R
system LTS
coordinate_system|string Xof T A A B, O S T M e S B Ak

PR,

custom_storage_
type

Unknown / MeasureType.UNKNOWN
String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP

List / MeasureType.LIST

PR JE MESRL T custom_storage, PHNE R
T X FBENEEAE. XAET, @l blin
Python ARGl H i setter bR %% idH i —A4>
StorageType {H, Ifi getter #H%%R [E] StorageType
fH.
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% 87. typenode JEE (£E).

typenode B¢

HiRxE

B

custom_Tist_
storage_type

String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP

XA B, B PR i S R A 7702

L

custom_list_depth

biis34

XFHIRT B, O R E T B IR T

411 5 OFE

A
P

AR RJB A

<+
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%12

BT

Il\\

B

BT oEAEN
AT TG S B, AR R A AR R AT 1 SR

2 88. il FHIETE 15 i s P

output (.cou)

HARET R B HiERR Bt AR
title FAFH YR, J”f]: "This is a title.”
caption FAFH FRECFB,  /Rfl: "This is a caption.”
output_mode Screen 678 S WO m 0 i 8 R K S 3 S,
File
output_format BMP TRERIAER, VPR AU I U TR R
JPEG [l
PNG
HTML

full_filename

S

S AP R 2 SR i 4 2 E AR B AR RIS 44,

use_graph_size Y A A5 68 P TR ) 9 JEE R v R e PO A R T Y K
AN Rk B SRR EIE,  ORE T AR T

graph_width HF 24 use_graph_size i True B, DMEZE NN &K
TLJE.

graph_height HF 24 use graph_size 4 True I, DIMGZE N7k B EIE
= .

KHATIEFER

Wi EEERE R " (BFAE) , aTRUE TR (EMEEFE) KW, W DURBIET R

plotnode.setPropertyValue("color field",

IEEB R
fiff F+ 75k

TR E (WHS @) IHR)

, AR EAR AL,

PRIE. WERAMREREIE, B, ERETR R RIE

AR, LT A

mygraphnode.setPropertyValue("graph_background", "#87CEEB")

BEAL, RIPIRIEL 87 HRELLEAME; FPEMNME CE fRESONE; REMALH EB HEROANE. Sk
AR LT 09 B A-F NI{E, XE(EAE —E W] IR ELL-2k-1 (Rl RGB) Hifh.

T U RGB @ gy, u] LU A S vp ) 5 Brk £ e o€ (B i e e, R
T RT3 TR AR R TR,

A Bl b 5 B L B
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collectionnode Ef%
Y R A F T RIOEAT T B A TR EN A, CEIEEMT Hr E

M W. ) BUREBE AR AR E BN, B EAMAN., 1 3-D BIERRR, @n] L
£55 e 5y H LR A B,

il

node = stream.create("collection", "My node")

# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("collect_field", "Drug")
node.setPropertyValue("over_field", "Age")
node.setPropertyValue("by field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
node.setPropertyValue("range min", 1)
node.setPropertyValue("range max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num bins", 10)
node.setPropertyValue("bin_width", 5)

% 89. collectionnode J&@ 1

collectionnode EtE Higzea B AR
over_field FB
over label auto Yy
over_label FIFH
collect field FE
collect_label_auto i
collect_Tabel FIEER
three D ik
by field T
by label_auto ik
by label FH e
operation Sum

Mean

Min

Max

SDev
color_field TR
panel_field T
animation_field TR
range_mode Automatic

UserDefined
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% 89. collectionnode JEE (£E)

collectionnode Bt HiEzEa B R
range min BT
range_max T
bins ByNumber
ByWidth
num_bins HF
bin_width B
use_grid Rk
graph_background gt ARATTE TR T e R R £,
page_background Bifs AR T hREREEIE,

distributionnode E1¢

O AR RN TAR R () (BRI stk ) ) Ao Bk, AT oA
- SRR RN E, ARG FE QAR Y A P79 ROR A IE BN T L.

il

node = stream.create("distribution", "My node")

# "Plot" tab

node.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("normalize", True)
node.setPropertyValue("sort_mode", "ByOccurence")
node.setPropertyValue("use_proportional_scale", True)

2 90. distributionnode J&ME

distributionnode El% Higzea BEiR R
plot SelectedFields

Flags
x_field FB
color_field T8 HETFH.
normalize s
sort_mode ByOccurence

Alphabetic
use_proportional_scale ik

evaluationnode Ef%

VAT A B TIPS RIEC R BB, PPAS R s T B R e GOR B I 5. BRI T
@\ DUEL AN BT B 5 BRI SR BEATHET. BRIk oA T IR ML ( % ), RE &

BN BRI AR AE(E,  ERRE AR, K DU Y 2 5 R 2B,
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il

node = stream.create("evaluation", "My node")

# "Plot" tab

node.setPropertyValue("chart_type", "Gains")
node.setPropertyValue("cumulative", False)
node.setPropertyValue("field detection _method", "Name")
node.setPropertyValue("inc_baseline", True)
node.setPropertyValue("n_tile", "Deciles")
node.setPropertyValue("style", "Point")
node.setPropertyValue("point_type", "Dot")

node.setPropertyValue("use_fixed cost", True)

node.setPropertyValue("cost _value", 5.0)
node.setPropertyValue("cost_field", "Na")

node.setPropertyValue("use fixed revenue", True)

node.setPropertyValue("revenue value", 30.0)

node.setPropertyVa]ue("revenuerie]d", "Age")
node.setPropertyValue("use_fixed weight", True)

node.setPropertyValue("weight_value", 2.0)
node.setPropertyValue("weight field", "K")

2 91. evaluationnode |&VE.

evaluationnode JET% HiEER B AR
chart_type Gains
Response
Lift
Profit
ROI
ROC
inc_baseline ik
field_detection_method Metadata
Name
use_fixed_cost ik
cost_value HF
cost_field FIER
use_fixed revenue i
revenue_value HF
revenue_field TR
use_fixed weight s
weight value HF
weight field FE
n_tile Quartiles
Quintles
Deciles
Vingtiles
Percentiles
1000-tiles
cumulative ik
style Line
Point
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% 91. evaluationnode JEVE (£E).

evaluationnode B

e A

point_type

BowTie
HorizontalDash
VerticalDash
IronCross

I,

BF

e

OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle

J22hi

export_data

trik

data_filename

FrFH

delimiter

SR

new_line

tris

inc_field_names

&

inc_best_Tine

tris

inc_business_rule

&

business_rule_condition

FIFH

plot_score_fields

&

score_fields

[field] ... fieldN]

target_field

TFE

use_hit_condition ik
hit_condition FATHR
use_score_expression i
score_expression FrF
caption_auto i

graphboardnode [Ef4&

“EEAC T i ATE — T R PR R 2 AR SR A .

@} Bt SRJE IGE T SR ) T Beh e — AR,
— B,

BT AR, AT AR SRR 0 Mt

17 K B Bhid g T B I A

T AR CE X EE IR IO B (BN, CAETESRE y_field) , IZJEEKE g,

i AE UL PR ZRREDE B R TR fE Bk & b, A~ MEETEG WA G 24 50 A SR 7 BL

%12 ' R A
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Zy|

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")
node.setPropertyValue("x_field", "K")
node.setPropertyValue("y_field", "Na")
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£ 92. graphboardnode )&k

graphboard &4

HiiRzea

B

graph_type

2DDotplot

3DArea

3DBar

3DDensity

3DHistogram

3DPie

3DScatterplot

Area

ArrowMap

Bar

BarCounts

BarCountsMap

BarMap

BinnedScatter

Boxplot

Bubble

ChoropTlethMeans
ChoropTlethMedians
ChoropTethSums
ChoropTlethValues
ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap

PointOverlayMap
PolygonOverlayMap

Ribbon

Scatterplot

SPLOM

Surface

GRS Z St

x_field

FE

y_field

TFE

xR EEE SRR, UE TR
oy HhdEEHE SRR, Hid

%12 ' R A
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£ 92. graphboardnode JEE (££)

graphboard &% HiiRxea BB

z_field FE MT L 3-D K,
color_field FE TERE .

size field FE TE AR .
categories_field FE

values_field FE

rows_field FE

columns_field FE

FHE FB

start_longitude_field |FE¢ Sk = AL PN UREX (U

end_Tongitude_field FE
start_latitude field |F&

end_latitude_field FE

data_key field FE AT &R,
panelrow_field TR

panelcol_field FAFH

animation_field FAER

Tongitude_field FEB 55 A AR AR G B A,
Tatitude field FE

map_color_field FB

histogramnode %

“EITED R T RE T B R B B E HORAE R SR AR A 2 AR R K,
SO AR, BT A R R R 8 s s P R T

il
node = stream.create("histogram", "My node")
# "Plot" tab

node.setPropertyValue("field", "Drug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
node.setPropertyValue("range min", 1.0)
node.setPropertyValue("range_max", 100.0)
node.setPropertyValue("num bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)
node.setPropertyValue("separate_bands", False)
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£ 93. histogramnode )&k

histogramnode E14 iR B AA
FE FE
color_field FE
panel field FE
animation_field FE
range_mode Automatic

UserDefined
range_min HF
range_max HF
bins ByNumber

ByWidth
num_bins HF
bin_width 7
normalize i
separate_bands Yy
x_Tabel _auto i
x_label T
y_label auto i
y_label T
use_grid ik
graph_background Bt ARTTEF AN T AR ERE S,
page_background Pt ARATEE TR A28 T R AERDE i€,
normal_curve v i 7 M A b SR IS A il 2%
multiplotnode &%

M ZEHORE T AT~ X FREDRZD ¥ FROEUIE. Y FEMSHIRAR
@& 2 BAREAY TR AR E S HeX B E v HER RS R AL BEERLA S R B E] Y
. AGTEOL, ZERUREARR A AL

il
node = stream.create("multiplot", "My node")
# "Plot" tab

node.setPropertyValue("x_field", "Age")
node.setPropertyValue("y fields", ["Drug", "BP"])
node.setPropertyValue("panel_field", "Sex")

# "Overlay" section
node.setPropertyValue("animation_field", "")
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use_overlay expr", False)
node.setPropertyValue("overlay expression", "test")
node.setPropertyValue("records_Timit", 500)
node.setPropertyValue("if over limit", "PlotSample")
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£ 94. multiplotnode J& £

multiplotnode JEf¥ HiERR B A
x_field T
y fields LIS
panel field T
animation_field FE
normalize i
use_overlay expr ik
overlay_expression FAFH
records_limit T
if _over_Timit PlotBins
PTotSample
PTotAT1

x_label _auto trak
x_label TR
y_label auto tris
y_label TR
use_grid s
graph_background gt ARITETLAEN A T I RTE S,
page_background it ARAETFRAEAN B T RERTE S,
plotnode &%

BRI T Sl R B T BRI SR, B A (B sk i IA.

o\

AN
node = stream.create("plot", "My node")
# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("x_field", "BP")
node.setPropertyValue("y _field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("size field", "Age")
node.setPropertyValue("shape field", "")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "BP")
node.setPropertyValue("transp_field", "")
node.setPropertyValue("style", "Point")

# "Output" tab
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "JPEG")
node.setPropertyValue("full_filename", "C:/temp/graph output/plot output.jpeg")
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£ 95. plotnode )& 1E.

plotnode E&

e A

x_field

TFE

A ox I EEE RS, RIS AT,

M

N

y_field

FE

/-

three D

tris

8 %
Ny R EE RS, RiEM TR,
Ay HiEEEE R, HEAT 3 4ERIEH iR

z_field

FE

color_field

FE

size_field

FE

shape_field

TFE

panel_field

TFE

TR T DR A 1 22 T B ] 2 1Y 4% S B b
TEL, ER-ETEE - E O,

animation_field

B E DAL I Rt (L 5 (o i st 1 — &R 41
WU 57 9 PR 2SR UEHA ) IS I 14 44 L7 Bl
BTEL

transp_field

5 DL S IR (2 ) ol ied oAy B 2 316 R ]
GOAREW RG] ) AT R TBL AE T
AR

overlay_type

None
Smoother
Function

R B REEREGLE LOESS i #%.

overlay expression

FrFH

F8E2 overlay type W HE K Function Fff YA
.

style

Point
Line

point_type

B

HorizontalDash
VerticalDash
IronCross

I,

BF

He

OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle

JEEbi

x_mode

Sort
Overlay
AsRead

X_range_mode

Automatic
UserDefined
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£ 95. plotmode JEE (£E).

UserDefined

plotnode JEik HERA B
x_range_min HF

X_range_max HF

y_range_mode Automatic

y_range_min HF
y_range_max HF
z_range_mode Automatic
UserDefined
z_range_min HF
z_range_max T
jitter i
records_limit HF
if_over_Timit PlotBins
PlotSample
PTotAT1
x_label auto trk
x_Tabel FIFH
y_label auto Yy
y_label FIFH
z Tabel auto i
z_label FIFER
use_grid s
graph_background Bt AL AT hrEETE SR,
page_background Bt AHIETREAN T hrERIE i,
use_overlay_expr trak ZEMEE H overlay type #AL.

timeplotnode E%

“IF IR R R — S NI R F SRR, Sl RTOUT, 0 e B I E] AT b A

e} = TimeLabel 7B, ZTBHT A x WL ERE.

il

node = stream.create("timeplot", "My node")
node.setPropertyValue("y _fields", ["sales",

node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", True)
node.setPropertyValue("Tine", True)
node.setPropertyValue("smoother", True)

node.setPropertyValue("use_records_Timit", True)
node.setPropertyValue("records_Timit", 2000)

# Appearance settings

node.setPropertyValue("symbol size", 2.0)
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£ 96. timeplotnode J&1E.

timeplotnode 14

EEa A

plot_series

Series
Models

use_custom_x_field

&

x_field

TFE

y_fields

BZES

panel

triEs

normalize

S

line

triE

points

&

point_type

B

HorizontalDash
VerticalDash
IronCross

I

BF

He

OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle

JEEhi

smoother

s

A panel BN True , A DK HIR s E

i,

use_records_limit

tris

records_limit

bics 4

symbol_size

7

HEERF TR,

panel_Tayout

Horizontal
Vertical

webnode EH

Web 11U TASZ TS (428) FERIEZ R MmE,
@; KRG,

il

node = stream.create("web", "My node")

# "Plot" tab

node.setPropertyValue("use directed web", True)

%12 ' R A

1% R [RDHL AR Y Ze e
fltm, GnT LU Web 55 R AT I8 LT 7 55 0 0l L — ZR 40 T D ) S 22 ) 19 56 R
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node.setPropertyValue("to field", "Drug")

node.setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
node.setPropertyValue("from fields", ["BP", "Cholesterol", "Sex"])

node.setPropertyVa]ue("truer]ags_on]y", False)
node.setPropertyValue("1ine_values", "Absolute")

node.setPropertyValue("strong_Tinks heavier", True)

# "Options" tab
node.setPropertyValue("max_num_links", 300)
node.setPropertyValue("1inks_above", 10)
node.setPropertyValue("num Tinks", "ShowAl1")
node.setPropertyValue("discard 1links min", True)
node.setPropertyValue("1inks_min_records", 5)
node.setPropertyValue("discard_Tinks_max", True)
node.setPropertyValue("weak below", 10)
node.setPropertyValue("strong_above", 19)

node.setPropertyValue("1ink_size continuous", True)

node.setPropertyValue("web display", "Circular")

% 97. webnode JBVE

webnode Btk HiRER B AR
use_directed web i
FE EZIES
to_field FB
from_fields BZIES
true_flags only i
line_values Absolute
OverallPct
PctLarger
PctSmaller
strong_Tlinks_heavier i
num_Tinks ShowMaximum
ShowLinksAbove
ShowA11
max_num_11nks HF
Tinks_above HF
discard_links_min i
Tinks_min_records HF
discard_links_max Rk
Tinks_max_records HF
weak_below 7
strong_above HF
Tink_size_continuous ik
web_display Circular
Network
Directed
Grid
graph_background Bt AFIETRAEN T hriERDIE i,
symbol_size 7 REM S K.
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£ 13 E ZETAENE

BREET BN
PUF S Ml ] RS al fr A AT 5, I B AN 0 XAR B8 75 B SR AE A5 AR YT S ) SR
98, IR BT

Bt & B

custom_fields i IR true, W SRR 2 HTTY S48 E H AR,
WAMEALTE, RN false, NI HREA
T SR IR A

target FE RIEHIR KT IR E —~ D ERFEEZ A Eir

4 7 FE.

targets (field] ... fieldN]

DN [fieldl ... fieldN] AT ol T A S A T AR o o B

partition FE

use_partitioned_data tris e SCT X B, T T AT AR )
ZR3 R A T AL A

use_split_data trids

splits [field] ... fieldN] RE - AR HAToHEEN TR, (UE
use_split_data X & WEMAHRL.

use_frequency trids e B T R R B (S 0L
PRI RN B )

frequency field FE

use_weight trids

weight_field FE

use_model_name trids

model_name FF e TR 1Y 22 i A K.

mode Simple

Expert

anomalydetectionnode [Ei%

o Anomaly Detection 15 #fisE A4 & IEH A 5019 AP (RSNFOD) . EDGERSREERITAL
G FEATEL S SR P A8 1 e Xt e, L PR 15 R e 0,

il

node = stream.create("anomalydetection", "My node")
node.setPropertyValue("anomaly method", "PerRecords")
node.setPropertyValue("percent records", 95)
node.setPropertyValue("mode", "Expert")
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node.setPropertyValue("peer_group num auto", True)
node.setPropertyValue("min_num_peer_groups", 3)
node.setPropertyValue("max_num_peer_groups", 10)

€ 99. anomalydetectionnode &1k

anomalydetectionnode 14 =] B
inputs [fieldl ... fieldN] SR TSR A AR A A 1 A BL
HATIEE., BN E TR, WA
FREAME TR, S0 149 b
[ty o8 A AR o] TREE Z
B,
mode Expert
SimpTle
anomaly method IndexLevel i 08 T R0 AR A0 O R A R
PerRecords fH.
NumRecords
index_level HF 8 E PR IC 5 R /N RHE.
percent_records T HR Y I i Bt g sk A o0 ik B AR IS IE SR
1 B AL,
num_records & AR I 5 Kl i s MO B AR IE T R Y
fH.
num_fields k534 B2 S RO SRR B B
impute_missing_values trk
adjustment_coeff 7 SEAH T 0 A o) S sk o) 3% 4 7 o B R 43
FF B AR 8 W AR A T AT P A
peer_group_num_auto trik H shit 8% 2 4150
min_num_peer_groups B ¥87E peer_group_num_auto & & A True Hf
AT Y X 45 4 1 B /N
max_num_per_groups B N ONIE k8
num_peer_groups 2358 $8E peer_group _num auto % E 4 False
I T 18 oF 45 2R 4.
noise_level T e Bl SRR B R A b B 7 L 4R
SEMEMAN 0 F] 0.5 2,
noise_ratio HF 8 5€ 73 o 25 F T W P % ol i AL 0 B N A
. SREELHTN 0 Fl 0.5 Z[H.
apriorinode %
eI RO A — 4L, B RS SN AR Z AL, Apriori 5 i H A TR BEFE RN AY
{%? IPEIEE SRR 5 B 2Ok R BOBAL OB . X T RORAY IR, Apriori 1|25 ff 3 BEE e

P B AT AR B AU BCR B AT TR ), T LT AR 2l 32 SRR AR BN

o5

SR A 5 B O o JA B, RR O E R g b B RN B WO AT DA, DRI Ak B AR

faz.

il
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node = stream.create("apriori", "My node")

# "Fields" tab

node.setPropertyValue("custom _fields", True)
node.setPropertyValue("partition", "Test")

# For non-transactional

node.setPropertyValue("use transactional data", False)
node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
# For transactional
node.setPropertyValue("use_transactional_data", True)
node.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content_field", "Drug")

# "Model" tab

node.setPropertyValue("use model name", False)
node.setPropertyValue("model_name", "Apriori bp choles drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true flags", False)
node.setPropertyValue("optimize", "Memory")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("evaluation", "ConfidenceRatio")
node.setPropertyValue("Tower_bound", 7)

% 100. apriorinode J&1E

apriorinode Bl i1 EtiR A
consequents T8 Apriori RV &5 S FI S OB A ifE B Ar A

ATE, AEARET BRI TR, EHEEE
G 149 Bpy B A SR TIREZS

=

A .
antecedents [field] ... fieldN]
min_supp HF
min_conf HF
max_antecedents 7
true_flags R
optimize HE

MiF
use_transactional data i
contiguous i
id_field FIFH
content_field TR
mode Simple

Expert
A RuleConfidence

DifferenceToPrior
ConfidenceRatio
InformationDifference
NormalizedChiSquare

Tower_bound 7
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% 100. apriorinode JHPE (££)
apriorinode [E%

EER A
T e A A 7 SR B AT

optimize

o [ | mF
St

associationrulesnode E¥

COREAM I 535 Apriori 555028081 {H2, 5 Apriori A[F], “SCHRALNT s REAS AL HE 21 3 Kl
@ FAh, RN ST PLS IBM SPSS Analytic Server FL& 1, DIARIEAREVEE DL KA T
PRI BT RE,

# 101. associationrulesnode J& 1k
associationrulesnode JEif HigRa B

predictions FE e Y - B RREAE SR 0000 ) T AR o B
conditions [fieldl.. fieldN] M A v 19 5 B BB AR S I 1 A e B

max_rule_conditions

biis /4

B AT DU il R SRR, B/ME R 1,
mKAE R 9.

max_rule_predictions B HEA T DL S I R L, BME R 1,
BRMEA S,
max_num_rules BH TR s A b ] DL R e R K, e/ IME
N1, FKMEN 10,000,
rule_criterion_top n Confidence PG, MBS PiE —AE, AT ssad
Rulesupport AN 2R,
Lift
Conditionsupport
Deployability
true_flags A5 (E WEA Y i B A SR AR AR B true
fH.
rule_criterion 2R 18 VCE Y i A A S Al 0 5 1 B Ok HE B
A,
min_confidence HF 0.1 F| 100 - ALY A= J A LI A4 5/ ALt AR K
B A, WRBIAR LT B G KN T AR
FERIAE RN, IR 24 1 Fe iz 4,
min_rule_support HF 0.1 | 100 - AT A= j¢ (0 H0 0] 55z /N6 75 0 DU S 45
FoHE, SRR AR T ML S GO /NT 1R
SETE AR, R 208 % 512 H 00,
min_condition_support 7 0.1 F| 100 - ALY A= J8 A HE I Y s/ N AL 5 28 4 S35 1
A E, WA BT S AR SRR RO T 4R
SEAEL TN, 824 1% T 1% A0,
min_Tift B 1 2] 10 - FRORBRAE AN iR e T s ta.

RPN A BT 9 28 2 BN TR E RN, IR 2K
PEsEiz .
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% 101. associationrulesnode JEVF (££)

associationrulesnode JE[4% HiEER EtEiR A
exclude_rules i 2R 1E T — DR R F B, R A AR AR 4 ok 2 5
Brp g,
fln:  set :gsarsnode.exclude_rules = [[[field],field2,
field3]],[[field4, field5]]] - Hr, DL [1 2R
FRINF R —17.
num_bins k1230 v BT T BT RRS A8 I B B AR BME
2, mKRMEH 10,
max_list_length BH MATRKKERMGFTEIIRTE.  FIRTHIG
R O R, H R s H bR E 1 EH
Hik; TR HEATTRER RS, RAMENR 1, RK
{E>4 100,
output_confidence ViFiNE]
output_rule_support Vi EN
output_1ift VipiNE]
output_condition_support Vi Yk
output_deployability ViRl
rules_to_display upto A R s 1 B R
all
display upto = IWRAE rules_to display HiXE T upto, HXKE
B R BORIE,  mMEA 1.
field_transformations M7 R (B
records_summary 2R 1E
rule_statistics i 7R 8
most_frequent_values i R 8
most_frequent fields M7 R (E
word_cloud M8 H
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cloud_display B w/MER 1, KAEHR 20,
max_predictions B AT DL 43 B0 B A A 1) B K 5,
criterion Confidence T4 T E SO0 1)
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats iR ME A 2 S 75 FOT IR (] 4 00 5 7 20 B h
check_input NoPredictions
Predictions
NoCheck

%13 % ey dUE 193



autoclassifiernode 4%

FURTDABE PR A SE AT B B AL BT ¥, R T SCR SRR, PIAT DUX 7 A B TR O
TR RE RS E I B Xt EU S R AARAEDEAT e R, 17 AR S O IR S — AL R AR B 1
i R ) 97 i o A% SR SR P

@ “HE R AT RN IR CREE, MARSCRRASE) (98 T ARG, 65

il

node = stream.create("autoclassifier", "My node")
node.setPropertyValue("ranking_measure", "Accuracy")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_accuracy Timit", True)
node.setPropertyValue("accuracy limit", 0.9)
node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("use_costs", True)
node.setPropertyValue("svm", False)

£ 102. autoclassifiernode )& 1t.

autoclassifiernode Bt B B A
target FE YT PR EAR, “Hhadan i Bk
BAHARF B K =AW A AT
B, AIRIEARCEASRE TR, ES
b 3 B 149 BUAY ¢ 3 BT AU
B TmEEEA.
ranking_measure Accuracy
Area_under_curve
Profit
Lift
Num_variables
ranking_dataset Training
Test
number of models B ORI P BT, R
BHLAA 1B 100 Z A,
calculate variable importance i
enable_accuracy_limit i
accuracy limit k534 T 0 5 100 Z[AIAY AL,
enable_ area_under_curve _limit i
area_under _curve limit HF MF 00 5 1.0 Z[a)fses.
enable_profit_limit trk
profit_limit T KT 0 HyREH,
enable_Tift_limit i
Tift_limit T IERTF 1.0 ML,
enable_number_of_variables limit s
number_of variables limit T KT 0 By,
use fixed cost PR
fixed_cost 7 IERTF 0.0 ML,
variable cost FE
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£ 102. autoclassifiernode JHPE (££).

autoclassifiernode Eff & BHERER

use_fixed revenue trid

fixed_revenue #7 KERT 0.0 KL%,

variable revenue FE

use_fixed_weight trk

fixed_weight T IERTF 0.0 MsLsl.

variable_weight FE

Tift_percentile 7 AF 0 5 100 Z[EHEE

enable_model_build_time_Tlimit i

model_build_time limit HF BCE PR R, TR A
e Vi dibling i N

enable_stop_after_time_limit i

stop_after time limit T BCE /NN RO SE R, TR lia AT
H 37 KA I EAERT,

enable stop_after valid model produced s

use_costs i

<algorithm> tids SOV AR A E S,

<algorithm>.<property> Fr WEMERENEEME. WHSHEM
[ EREmEE ] THEZEE.

REREREMN
XEFE RS, ST R A, T DA PSR A SRR P4 A Bk R

autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)

i amn:

node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

AT H3 T SN E L LFRE cart, chaid, quest, c50, Togreg. decisionlist, bayesnet, discrimi-
nant, svm F knn,

MBS UET 5L ZFRE cart, chaid, neuralnetwork, genlin, svm, regression, Tlinear #ll knn,
HERET B Rk AP twostep, k-means FlI kohonen,

JEE 48 0 2 R SO I SR A 2

B B RURHAAR AT 5 19 Rk R P A Gl 7R A LS 5 Hp, il

node.setKeyedPropertyValue("Togreg", "tolerance", "1.0E-5")

WAl Uy e P Bo 2 A E,  Bilhn:

node.setKeyedPropertyValue("decisionlist", "search direction", ["Up", "Down"])

B AR I S Bk

node.setPropertyValue("chaid", True)
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T AR FL A BRI H S 2R R R ORI, e AR E ME AR R NERI A, RS A
I 32 2 19 BR 15 LA o 7 207 ) 55 R — .

autoclusternode B4

SRR, EEEAE — oLt BN 2 AN A, B AR AR AT R, Dlidad

B SR m U R BCPUN B A R E IS S AL R SRR, 35 R AR 7 X5 HoAt | Shd By
DB R IBEIY A Rk LA SO H B AT HE R, AR A — AT 7 B S Bk A I

il

node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking measure", "Silhouette")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_silhouette Timit", True)
node.setPropertyValue("silhouette 1imit", 5)

% 103. autoclusternode J& Pk

autoclusternode Bt & i AR
A FE i R TASRE A I EE
PRI 7B 74h, AT TAR IR 7 it
TR R AR, AT AR TP T
TR R UL,
ranking_measure SiThouette
Num_cTusters
Size_smallest_cluster
Size_largest_cluster
Smallest_to_largest
Importance
ranking_dataset Training
Test
summary_limit B SRR B BT RH . 48 B R
K1 F 100 2],
enable_silhouette 1imit &
silhouette limit B AT 05 100 Z [ AYEAL,
enable_number less Timit Vi
number less Timit HF AF 00 5 1.0 Z[A[HISEH,
enable_number_greater_limit Vi
number greater limit T KT 0 HIEEHL
enable_smallest_cluster_Timit YT
smallest _cluster_units Percentage
Counts
smallest_cluster_limit_percentage | {5
smallest cluster limit_count B KT 0 MEEL
enable_largest_cluster_limit i
largest cluster_units Percentage
Counts
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% 103. autoclusternode JEVE (££)

autoclusternode Ef% & B AR
largest_cluster 1imit_percentage |#4{F
largest_cluster_limit_count L1974
enable smallest largest limit trids
smallest_largest Tlimit HF
enable_importance_limit ik
importance_limit_condition Greater_than
Less_than
importance_limit_greater_than HF F 0 5 100 Z [ AYHE %L,
importance_Tlimit_less_than HF F 0 5 100 Z 6] AT,
<algorithm> tris FUVF B kAR B S,
<algorithm>.<property> FIf WEREHENBEA,  #25 TB0EE 155 1

[ty r S EFRIEE ] THEZER.

autonumericnode B4

TAETr MR, Rt n] DASESE B0 TR AL i WAl ip i 2 i il 5 AT I 33k, %

H SHRAE Y 5 6 TR0 E J7 i5 A VERIX EU B A SR 4 R, Y SR B0 2R3 T R

SCRFIRRE B HZE M, C&R B, CHAID, ZRPE[EIA, 77 L Zeh [l 9 RS S ;0 8L (SVM),
AT ARSI, AR A R s AR R O RO AT R L

il

node = stream.create("autonumeric", "My node")
node.setPropertyValue("ranking _measure", "Correlation")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_correlation Timit", True)
node.setPropertyValue("correlation 1imit", 0.8)

node.setPropertyValue("calculate_variable importance", True)
node.setPropertyValue("neuralnetwork", True)
node.setPropertyValue("chaid", False)

2 104. autonumericnode &P

autonumericnode JEtt =] B AR

custom_fields tri WKy True, B 8 il 5 B ikt 1 AR 5 Y
TRIE.

target FE “CHEEET R ER B H R E B K A
BEMMATFER, BT DU A R R
B, 5 3 149 SUAY 15w AR BT A
THELREE.

DN [fieldl ... field2]

partition FE

use_frequency i

frequency_field FE

use_weight ik

weight_field FE
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% 104. autonumericnode JEIE (%E)

autonumericnode Ef% & B4R
use partitioned data trid WA E LT RSB, I A00 DI 2R g
TR,
ranking_measure GEES
NumberOfFields
ranking_dataset Test
Training
number_of_models BH BRSEEBIh RRR,  FR A
1 E 100 ZJH].
calculate variable_importance iz
enable_correlation_limit trids
correlation_limit A
enable number_of fields limit trid
number_of fields Timit A
enable relative error_ limit i
relative_error limit B
enable model build _time limit trids
model_build_time_ limit A
enable stop_after time limit trids
stop_after_time_limit A
stop_if valid _model trids
<algorithm> trk FUVFEUES IR A E A,
<algorithm>.<property> FIF BB EHENBEG, 50 3 EEE 155

oy c R ERREE ] THESEE.

bayesnetnode &%

itk DU Sr 0 2% 45 e, A T L) X S0 SR DA R W ) 5 45 B WL R 5 A L4 R A e A
@ R, A S E RN TR DI T (TAN) MIEY R AT R e 2, X Se ik £ 2 T
eI

il

node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing_model", True)
node.setPropertyValue("structure type", "MarkovBlanket")
node.setPropertyValue("use feature selection", True)

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("independence", "Pearson")
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£ 105. bayesnetnode &1k

bayesnetnode %

=}

e

inputs

[field] ... fieldN]

DL 4 90 2 A8 P — A~ L A B DA B —
AT B EEST B A st T
SrA. S S 149 TN 1 F ]

THRELEE.

continue_training_existing_model i

structure_type TAN TEPR B DTS (9 25 I A 444,
MarkovBlanket

use_feature_selection i

parameter_learning_method Likelihood 6 A8 T T00I0 A2 715 50 i 20 B 5 s ]
Bayes 1 A M3 R T 2k

mode Expert
Simple

missing_values i

all_probabilities trik

independence Likelihood 6 e T A AR b ) ROer UL A 2
Pearson A TS .

significance_Tevel HF ¥ T 8 Sk ST Y 4 AL

maximal_conditioning_set T

BEE T SR R AR R R OR
-

inputs_always_selected

[field] ... fieldN]

T8 5 A g DL I S0 9 2% I s 22 e D ) 000 4
T B
T AT BT IR,

maximum_number_inputs BT Fi 7 Fa s DL P ) % el D ) g AL BT
RRHL

calculate variable_importance i

calculate_raw_propensities i

calculate adjusted propensities i

adjusted_propensity partition Test

Validation

buildr Ef%

il

node = stream.create("buildr", "My node")

node.setPropertyValue("score_syntax",
result<-predict(modelerModel,newdata=modelerData)

modelerData<-cbind(modelerData,result)

“R R R ERE S A E R R A, LIiT IBM SPSS
Modeler 32 162 AU H i AR 1,
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varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure="",
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame (mode] erDataModel s VaY‘l) ] ||)

% 106. buildr JETE.

buildr Bt =) i AR
build_syntax FRFH R M T AT RITUA N R AATE L.
score_syntax FrH XEMTHETREPE R R EIATEE,
convert_flags StringsAndDoubles BT H] T S An iR B
LogicalValues
convert_datetime trs e BRI T B H W ak B A A% = AR
%%Tﬁeﬁ R H /i a] s
convert_datetime_class POSIXct X SE B TH AT A B B s H A A X
POSIXTt E’Jﬂ*a%ﬁéﬁﬁz%ﬁ
convert_missing ik BEREIR T4 SRR (e 4l R ONA (.
output_html tris BEREU T7E R BRI R rp ) 5 00 _E R IA
JE.
output_text trk PEBETHH T H R #EHIG CAMIN S 2 R B
Perb IR,

c50node EH

C5.0 45 SR PRSI S, ERORAG TR R 1 S AR SR £ L
B, BERTELIUNETE. AV SRS T AN,

7l
node = stream.create("c50", "My node")
# "Model" tab

node.setPropertyValue("use model name", False)
node.setPropertyVa]ue("mode]_name", "C5 Drug")
node.setPropertyValue("use partitioned_data", True)
node.setPropertyValue("output_type", "DecisionTree")
node.setPropertyValue("use xval", True)
node.setPropertyVa]ue(“xva1_num_fo1ds”, 3)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child_records", 3)

# "Costs" tab

node.setPropertyValue("use costs", True)
node.setPropertyValue("costs", [["drugA", "drugX", 2]])

#107. ¢50node &1k

c50node B & B
target FE C50 R A B Anr B K — A2 214

ATEL LR ENETE., WERHIEM
[ 149 GUfty o 5@ AT fUBPE 1 | T EE
Z .
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2 107. c50node JEYE (4%)

c50node B & B AR
output_type DecisionTree
RuleSet
group_symbolics s
use_boost ik
boost_num_trials HF
use_xval ik
xval_num_folds 5
mode Simple
Expert
favor Accuracy TR 1 o
Generality
expected noise HF
min_child_records T
pruning_severity HF
use_costs ik
costs Zittt; X IEL AR,
use_winnowing rids
use_global_pruning bRk A RNB A (True) |
calculate variable importance trids
calculate_raw_propensities W

calculate_adjusted propensities |#pids

adjusted_propensity partition Test
Validation

carmanode E¥

5 Apriori N[,

CARMA 5 s b (LA g LN 0 B S CRTIOURIS DS ), TAUOUR AT R, Xl R E 4
SR ET UM F 3 2 0 AR, B T 4 dh il o5 (HTIR ) f o, ik 287 i sl 55 1Y

CARMA BURIFE A BER P H Hi A 8 H AR5 B B0 T MG fih i — 418000,

e T A AT S 18] (2 55 FA T

Nl

node = stream.create("carma", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("use_transactional _data", True)
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model name", False)
node.setPropertyValue("model_name", "age_bp_drug")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("min_supp", 10.0)
node.setPropertyValue("min_conf", 30.0)
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node.setPropertyValue("max_size", 5)

# Expert Options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("use_pruning", True)
node.setPropertyValue("pruning_value", 300)
node.setPropertyValue("vary support", True)
node.setPropertyValue("estimated transactions", 30)
node.setPropertyValue("rules_without_antecedents", True)

£ 108. carmanode J&1E

carmanode ET¥ =] B4R

inputs [field! ... fieldn] CARMA HRUfE il A= Bed 3R, A HHE
B, AEANEFRASETE, #S
I £ AR 149 DUy o H R BT AU 1 ]
THEZER.

id_field B FE R A AR I 7 B 7 B

contiguous ik T T8 e bmiR B AR R 5 i 22,

use_transactional data ik

content_field FE&

min_supp BF () SHNSHERR, ARG FMCRHX, B
BIHA 20%,

min_conf BT (EH) Bl 20%.

max_size ¥ A E A 10,

mode Simple Bl Simple,

Expert

exclude_multiple trik HER BA 240 RN, AR False,

use_pruning Frids BB (E R False,

pruning_value HF B E N 500,

vary_support s

estimated_transactions R

rules_without_antecedents trids

cartnode JEE

f?ﬂ éﬁﬁmwam@nmﬁﬁimﬂm?mmﬁﬁﬁi%mmﬁ%%%mg%ﬁ%ﬁﬁﬁﬁﬁi%%
w RBR B BRARA A, il A3 T 23 XOR KN ZRI sk 7 RO AL, QSR sh AN 5 100% AWML

#RE T HAR 7 B — MR 20, AR A ROKOAE A, AR A 7 BOT DU EC
SR (FBL AFPERRE) 5 Bra s #5 —our# (RIS E A~ T41) .

il

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])

# "Build Options" tab, "Objective" panel
node.setPropertyValue("model_output type", "InteractiveBuilder")
node.setPropertyValue("use tree directives", True)

162 1BM SPSS Modeler 17 Python [Z<Z I shik 48w



node.setPropertyValue("tree directives", """Grow Node Index 0 Children 1 2
Grow Node Index 2 Children 3 4""")

# "Build Options" tab, "Basics" panel
node.setPropertyValue("prune_tree", False)
node.setPropertyValue("use std err_rule", True)
node.setPropertyValue("std err multiplier", 3.0)
node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use_percentage", True)

node.setPropertyValue("min_parent_records pc", 5)

node.setPropertyValue("min_child records pc", 3)
# "Build Options" tab, "Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)

node.setPropertyValue("impurity measure", "Twoing")

# "Model Options" tab

node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Cart Drug")

% 109. cartnode JETE

cartnode [E% & B AR
target FE C&R W FLERANHIFFRUKL 18 %
MAFER. DR ERRER. HEN
F [ 149 v R @R T R ] T
T EAEE=N
continue_training_existing model |#pids
objective Standard psm AT IR KM EPEE, FRIFFHE Server &
Boosting 2.
Bagging
psm
model output_type Single
InteractiveBuilder
use_tree_directives trik
tree directives Fr e fREA MM IR S, |MATME=E5%
"y oy DB IR R REATEE S, ST
= RO POE €T R e SO VAN e
v S BORR, O HLRTRE TG vk R T 3 Al Al
£,
use_max_depth Default
Custom
max_depth B mAR®EEN 0  F 1000, R7E
use_max_depth = Custom M4 J{],
prune_tree PR B ETRs, DU LS.
use_std_err trid it Hm KX 2 (BRifEiRE) |
std_err_multiplier HF RRZEME.
max_surrogates B s AR,
use_percentage i
min_parent_records_pc HF
min_child_records_pc 7
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% 109. cartnode JETE (%)

HighestMeanProbability

cartnode Bt & ettt
min_parent_records_abs HF
min_child_records_abs 5
use_costs trids
costs Zititt; gt fbm k.
priors Data
Equal
Custom
custom_priors ZEH Mk S5 H Ak,
adjust_priors ik
trails HF JHT e HF 520 252 (1 2 AR AR
set_ensemble_method L= Ir2RAARIERAE G I,
HighestProbability

range_ensemble_method Mean L H AR B S IR,
Median
Targe_boost tris DOE | N U €/ VA TE 5w
min_impurity 7
impurity_measure Gini
Twoing
Ordered
train_pct HF Bij 1k JE LA A
set_random_seed trik ARSI RTN
seed #H5
calculate_variable_importance W
calculate_raw_propensities ik
calculate_adjusted propensities | fpis
adjusted_propensity partition Test
Validation
chaidnode E%
@ CHAID {if iR 77 gevt ok A e 5w, DLW sE fefEfY 73], CHAID 5 C&R M QUEST 5 i

chamd AR, B ARIEZ W, XEWEG LS EEE Z TN 2. Binfi AFBT DR
S (%4:) 54025, Exhaustive CHAID 2 CHAID [EIERR, “© XTI 400647 MR IR 2,

(ER A id

Zy|

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

node = stream.createAt("chaid", "My node", 200, 100)

stream.link(filenode, node)

node.setPropertyValue("custom fields", True)
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node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "CHAID")
node.setPropertyValue("method", "Chaid")

node.setPropertyValue("model _output type", "InteractiveBuilder")

node.setPropertyValue("use tree directives", True)

node.setPropertyValue("tree_directives", "Test")
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("merge_alpha", 0.04)
node.setPropertyValue("chi_square", "Pearson")
node.setPropertyValue("use percentage", False)

node.setPropertyValue("min_parent_records_abs", 40)
node.setPropertyValue("min_child records_abs", 30)

node.setPropertyValue("epsilon", 0.003)
node.setPropertyValue("max_iterations", 75)

node.setPropertyValue("split_merged categories", True)
node.setPropertyValue("bonferroni_adjustment", True)

% 110. chaidnode J&1E

chaidnode Eit & JELEatil)i
target FEB CHAID FMIFRE —HAR S — A2 i
AFR, ERDIREMETE, HSH T8
(55 149 v cE IR AURME ] TR E
ZEE.
continue_training existing model |45
objective Standard psm TR KM EDEE, FRINFHE Server i
Boosting #,
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives ik
tree directives FIFH
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth B mARBEEN 0  F 1000, RIE
use_max_depth = Custom BJ{fi {f,
use_percentage trk
min_parent_records pc HF
min_child_records_pc 7
min_parent_records_abs HF
min_child_records_abs 7
use_costs ik
costs EnyaNia gt m k.
trails B U E B % A 2 AR AT
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2 110. chaidnode & (4%)

chaidnode Ei% & et At
set_ensemble_method e IR E BB & IR,
HighestProbability
HighestMeanProbability
range_ensemble method Mean B8 B ARG IR,
Median
Targe_boost bRk DO | NS €7 T INA K 5w
split_alpha HF Iy HEI B E MK,
merge_alpha 5 A I KT,
bonferroni_adjustment ik i i Bonferroni ¥ JE %% i 25 i,
split_merged categories R FOVFRT G IR T AT T .
chi_square Pearson BTSRRI G R Jrik: Pearson AR
LR ke
epsilon HF HE TR AR 1 fe VAR AL
max_iterations #H7 WS R foe R I ARIEL,
set_random_seed R
seed 7
calculate_variable_importance &
calculate _raw_propensities trids
calculate_adjusted propensities |#5ds
adjusted propensity partition Test
Validation
maximum_number_of_models R

coxregnode [Ef4

] Cox [EIHHY ki, ST DIFEC A AR B0 VO H d SLIN o) S P AR AP AR, T 2 A il — A2k
[ FreR L, V2R BT FNAESS TETIRD (1) PR i 4 1) i A A (LR SC SR AR R R AR

CoX

il

node = stream.create("coxreg", "My node")
node.setPropertyValue("survival_time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal criterion", "Conditional")
node.setPropertyValue("survival", True)

ZE111. coxregnode J&1E

coxregnode ¥ il Ei% A
survival_time FEB Cox  [a] T F5 7Y 75 B2 — >0 35 A A7 I 1] 7 7
B.
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£ 111. coxregnode JHPE (££)

coxregnode B & B
target FE Cox [A] TR —A> H An B LA e — A8k
ZAMATE, H5E T EE 149 U]
Lo AER Ty fURTE s | TR 215 8.
method Enter
Stepwise
BackwardsStepwise
groups FE
model_type MainEffects
Custom

custom_terms

["BP*Sex" "BP*Age"]

mode Expert
Simple
max_iterations WF
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
removal_criterion LR
Wald
F
probability entry HF
probability removal W
output_display EachStep
LastStep
ci_enable i
ci_value 90
95
99
t8% (correlation) ik
display baseline s
survival i
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£ 111. coxregnode JHPE (££)

coxregnode B & B

hazard i

Tog_minus_log i

one_minus_survival Vi

separate_line FB

value T F AT e WK RAF B AR EE, MK 1%F
B 44 VB0 “Mean™,

decisionlistnode &%

@

il

ARG AR T A B, Won S ARSI A E ZOnaP R RUR R R, B, e AE
THRIRLEf AN AT REIT IR (19 % )7 sl A Al A XS A~ Tl 1 shAE e AR Fry 72 . el i B AT -
PO AR LB R, AT LUK B QR 5 MR AR R, B SRSIRAE  — 4L A
B HAR AR — A S A — DGR LR R, AR D A 58 — A LU e 45

R,

node = stream.create("decisionlist", "My node")

node.setPropertyValue("search _direction", "Down")

node.setPropertyValue("target value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group_size_pct", 15)

F 112. decisionlistnode &1k
decisionlistnode [Eiff ] Bt AR
target TE PR G| R — DB A A S — A 24
MmATE., @R EmETER, EHZHE
R 149 GUEY 1B ER Y AR ] TR
HEELE.
model_output_type Model
InteractiveBuilder
search_direction Up SEREHE R Up MR, m
Down Down #H24 T “fkAlE 2",
target_value FIFH WERARSEE, WhrER HEE.
max_rules R PR AR B S R Bk,
min_group_size B /BRI,
min_group_size_pct bisd s/NEIN (LA RR) .
confidence_Tevel HF AT AT BT AT B B E S A,
i N\ BOls 2 e A R BLAR A (4R T ) R
/N,
max_segments_per_rule B
mode Simple
Expert
bin_method EqualWidth
EqualCount
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% 112. decisionlistnode JBTE (%)

decisionlistnode [E% & B4R

bin_count BF

max_models_per cycle Y YRR TEE.

max_rules_per cycle 37 BN B R T,

segment_growth HF

include_missing ik

final_results_only PR

reuse_fields bRk FUVFE AR R (s PR AL I i A S
B) .

max_alternatives =

calculate raw_propensities ik

calculate_adjusted propensities |/frids

adjusted_propensity partition Test

Validation

discriminantnode B

)

il

FUB AT TR B L logistic [ A MO BBE S ™4, (HAERF &
tic [ U534 A T A kb 7.

node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("method", "Stepwise")

% 113. discriminantnode J&

KLEAREBENE,  FI M aT LAFE A logis-

discriminantnode Elt ] Bt AR
target FEB H BRI T 2 — A B AR 7 B DL S — A2 A
MATE, AMENEFBENRETR, ES
Il 3 AE 149 BUAY v FH A RS AR PE 1 ]
THEZFEER.
method Enter
Stepwise
mode Simple
Expert
prior_probabilities Al1Equal
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
means trak e 2 H R R P Y SV L
univariate_anovas trids
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% 113. discriminantnode J&1E (%E)

discriminantnode El% & Ik abL):
box_m trik
within_group_covariance s
within_groups_correlation ik
separate_groups_covariance Wz
total covariance ik
fishers i
RAREN tris
casewise_results Fris e G 0T T E T Y 43 2R TR T,
Timit_to first HF R ESE 10,
summary_table ik
Teave_one classification ik
combined_groups ik
separate_groups_covariance trik i IEIR A E .
territorial_map trids
combined_groups trik BUS R BEEE .
separate_groups triks OSBRI Ll |
summary_of_steps i
F pairwise trids
stepwise_method WilksLambda
UnexplainedVariance
MahalanobisDistance
SmallestF
RaosV
V_to_enter HF
criteria UseValue
UseProbability
F_value_entry HF BrE R 3.84,
F_value_removal HF B 271,
probability entry WF B E 2 0.05,
probability_removal HF BE R 0.10,
calculate variable_importance &
calculate_raw_propensities i
calculate adjusted propensities |5z
adjusted_propensity partition Test

Validation
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factornode B4

- I/ R 0T 15 G B 1 T T P AR R A2 2 R B R sl KRR A R, I b (PCA) W]

\ E}is AT B4 G, AR RIFHR T BN TERESPIIIE, B4 SR

y— HIER (MEEE) . FFdrzaR a2 R R, s sl B) e BuE & A a5
B, XETFREFTE, HIER I E AR AR X G T BUE A I (F B T AR S 1 R S
TEL

Nl

node = stream.create("factor", "My node")

# "Fields" tab
node.setPropertyValue("custom _fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use_model _name", True)
node.setPropertyValue("model_name", "Factor_ Age")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("method", "GLS")

# Expert options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", True)
node.setPropertyValue("matrix", "Covariance")
node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract factors", "ByFactors")
node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" section
node.setPropertyValue("rotation", "DirectOblimin")
node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

# 114. factornode J&H1E

factornode Bt il et et
1PN [field] ... fieldN] PCA/[H LB fff Fl%i A 7B 513%, (BRMf
MER, AMEANEFBRISRTER, ES
el 3 RS 149 By o R AR Um0 )
THEZEE.
method PC
ULS
GLS
ML
PAF
Alpha
Image
mode Simple
Expert
max_iterations HF
complete_records trdk
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% 114. factornode JEME (££)

factornode [Eft =L B
matrix GEPS
Covariance
extract_factors ByEigenvalues
ByFactors
min_eigenvalue HF
max_factor ¥
rotation None
Varimax
DirectOblimin
Equamax
Quartimax
Promax
delta HF IR S DirectOblimin E A4 ECHE 192
A, WIATRIdE 2 delta FMHE,
TR E —ME, WA delta HYBRA
{H.
Kappa ¥ WA EEE Promax R A e s Y 2SEL, MIET
PIEE kappa HIfH.
MR ARARE A, WA kappa MG
{H.
sort_values trs
hide_values i
hide_below HF

featureselectionnode Ef%

*‘/\“1 FRAEGE ST R AL A F (BB /o0 Ee ) i el MR i A 7B, X TRE A, bl
Bl J KX EAR T HARRY BT HET. B, A m R BT EERmA, B4
WIR Ltk A A T AE A X R G R AT AR 2

Zy|

node = stream.create("featureselection", "My node")
node.setPropertyValue("screen _single category", True)
node.setPropertyValue("max_single category", 95)
node.setPropertyValue("screen _missing_values", True)
node.setPropertyValue("max_missing values", 80)
node.setPropertyValue("criteria", "Likelihood")
node.setPropertyValue("unimportant below", 0.8)
node.setPropertyValue("important above", 0.9)
node.setPropertyValue("important_label", "Check Me Out!")
node.setPropertyValue("selection_mode", "TopN")
node.setPropertyValue("top_n", 15)

A G BRI R BE 4 BORY Y SE VR AR 1, 5 S AR 4 BURY o ST RAOR B A BURE AR e PERRY 0 |
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£ 115. featureselectionnode &1k

featureselectionnode JE% & B4R
target FE P AIE 08 £ A R AR X T 48 2 B4 E A X 1T AR
TS, A A 5 BRI AR
B WS EBEE 149 U 1l AR
TEE 245 .
screen_single_category trds Ry True,  JUPRE G 6 A X T30 s B 8T
a RS BA T 2R TR,
max_single _category HF ¥87E screen_single_category A True i}
i AR (.
screen_missing values tri WKy True, JUPKE G B A 1 2 6 R (6 1)
FB, FEEFR AR SN E .
max_missing_values HF
screen_num_categories tris WA True, JURKH R BEAR N T10 5 BB
5HEALZ LGN FE.
max_num_categories HF
screen_std_dev trdk WKy True,  JUPKE G AR 1E 25 /N T 0l 5 T
i€ e/ MER L.
min_std_dev T
screen_coeff_of_var trid WAy True, WP 085 22 RECNT BSF
T8 m/MERF B,
min_coeff_of_var HF
criteria Pearson Xof B 28 H b X o3 268 1 00 A B E AT HE R
Likelihood W, $& € 1 e o S 1 (e A9 AR 3 i
CramersV =,
Lambda
unimportant_below BT e T WA mHER B, “dhbRal
AEEH p B{H, HZM 00 2] 1.0
{H.
important_above T 2N 0.0 2 1.0 fIHE.
unimportant_label TR T AN R B RR A
marginal_Tlabel FIFH
important_label T
selection_mode Importancelevel

ImportanceValue
TopN

select_important i 1E selection_mode BE N
Importancelevel B, #§ /& mE”
FH.

select_marginal trds 1E selection_mode wE AN
Importancelevel INf, & &L bR
FBL

select_unimportant s 1E selection_mode BE N

Importancelevel ff, J§@EREGEHF A EE
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£ 115. featureselectionnode JEVE (%E)

featureselectionnode & & B
importance_value 7 T selection_mode wE N
ImportanceValue W}, #5567
fi. 20 F 100 HIfE.
top_n = TE selection_mode & & TopN B}, +8%E
TR RE,  HEZA 0 F] 1000 1
fH.
genlinnode [E4%
CJTSCERNMET BN, — M R PR AT T YR, A R AR 0 i 8 R G I PR RS TR T A 2k
PEARSG,  TH, EERA RiF AR s AR, B RAEI BRI HR I RE, v fdh 2tk

M, logistic [81A, T HECEEE A0 B MR R DL R DX ] i 2k A A7 A,

il

node = stream.create("genlin", "My node")
node.setPropertyValue("model type", "MainAndA11TwoWayEffects")
node.setPropertyValue("offset type", "Variable")
node.setPropertyValue("offset _field", "Claimant")

2 116. genlinnode J&E

genlinnode E =T B

target FE TSR PE R R BR A H AR B (AL —
MEAHRE) , M- B2 AT
Bt WWLMEENETE, 20t
(149 T vam A AUEYE ) | TIRE 2
g

use_weight trk

weight_field FH TR N A L

target_represents_trials ik

trials_type Variable

FixedValue

trials_field FE FEREMEES, rEdF)T.
trials_number HF R ESE 10,
model_type MainEffects
MainAndA11TwoWayEffects
offset_type Variable
FixedValue
offset_field T TR NH ES:,
offset_value T WA S
base _category Last
F—1(F)
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£ 116. genlinnode JEPE (££)

genlinnode JE¥

(=)

e

include_intercept

i

mode

Simple
Expert

distribution

BINOMIAL
GAMMA
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL

IGAUSS: ¥ i 3,
NEGBIN: 1 —Jhi=t,

negbhin_para_type

Specify
Estimate

negbin_parameter

Hr

BB 1 DA E AR SR

tweedie_parameter

7

Tink_function

IDENTITY
CLOGLOG
LOG

LOGC

LOGIT
NEGBIN
NLOGLOG
ODDSPOWER
PROBIT
POWER
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT

CLOGLOG: H.&MBUN k.

LOGC:  XTHCkML,
NEGBIN: fii —IhixL,

NLOGLOG: 7 B} %k,
CUMCAUCHIT: 2 Cauchit,
CUMCLOGLOG: A H MU 4K,
CUMLOGIT: Z#H Logit,
CUMNLOGLOG: ZEFH i XX %L,
CUMPROBITZFH Probit,

=

T

{E AR AR S,

method

Hybrid
Fisher
NewtonRaphson

max_fisher_iterations

27

AR 1 RARVFIERA

scale_method

MaxLikelihoodEstimate

Deviance

PearsonChiSquare

FixedValue
scale_value B AN 1 BATRT 0,
covariance_matrix ModelEstimator

RobustEstimator
max_iterations biEa BRAEE R 100; LRIl AR ke A,
max_step_halving T B 5 AT IEREEL,
check_separation trik

%13 3 R SR
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% 116. genlinnode JEME (£E)

genlinnode i i) B AR
start_iteration #H7 BRAEE R 20, {URVFRE I IE AL
estimates_change Iz
estimates_change min 7 BRAEE R 1E-006; (L ARVFE I IEEL
estimates_change_type AbsoTute
Relative
Toglikelihood_change i
Toglikelihood_change min HF (& WAR ke
loglikelihood_change_type Absolute
Relative
hessian_convergence b
hessian_convergence min e AV TR,
hessian_convergence_type Absolute
Relative
case_summary &
contrast_matrices trids
descriptive_statistics i
estimable_functions trids
model_info i
iteration_history trids
goodness_of_fit ik
print_interval HF AN 1 AR IE L.
model_summary iz
Tagrange_multiplier ik
parameter_estimates ik
include_exponential ik
covariance_estimates i
correlation_estimates ik
analysis_type Typel
Typelll
TypeIAndTypelIll
statistics Wald
LR
citype Wald
Profile
tolerancelevel 5 B (H 2 0.0001,
confidence_interval HF BRAE R 95,
Toglikelihood_function Full
Kernel
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£ 116. genlinnode JEPE (££)

genlinnode [E & B
singularity tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
value_order Ascending
f%% (Descending)
DataOrder
calculate_variable_importance trk
calculate _raw_propensities by
calculate_adjusted_propensities |#pids
adjusted_propensity partition Test
Validation
glmmnode %
: J7ERNER AR (GLMM) §7 8 TRV, A5 H AR ] DUA AR IE S0 A0, 81 48 & 1Y 2 32 R 4
P TAIYE RPN, JF MG TR, T S A U T4 R, AR Skt

(B YA R0 1) A T 2 1 28 Kl 1 52 1k 22 R

% 117. glmmnode JHTE.

glmmnode 1% =] EEER

residual_subject_spec S KRR E MR FEEA S, A GH—
o8 BRI TR,

repeated_measures St X B0 By T AR R E A A

residual_group_spec

[field] ... fieldN]

X B T N P 7 25 2 R il

SR

residual_covariance_type

X% (Diagonal)
AR1

ARMA11
COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED
VARTANCE_COMPONENTS

TR P I7 24544,

custom_target

triks

FRUTRAE FIE B € XA B AR (false) i
JEH target_field $5/EHIERIH R (true).

target field FE FHAEHBRHFE (I3 custom_target A
true) .,
use_trials trik He 7~ B brm B 2 — 2 R A 1 AR 2 A

B, 6 T 48 5 il 08 2 B I = B
fH. SR false,
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£ 117. glmmnode JHIE (£5).

glmmnode JEf% =) IR i pa
use_field_or_value FE feR 2 B () &2k E IR
Value £,
trials_field FE B BT e e IR AR
trials_value ki 54 IE A THE eIl E. AR E g, A
H/ME N 1.
use_custom_target_reference Fris IS RN T /KB, B E R
false,
target_reference value F e LM EEEG (R
use_custom_target reference A true) .
dist_Tink_combination Nominal FIARE A 70 A B9 A SRR, 4% Custom AL
Logit ¥85E target_distribution Fr{HLAYHIFEAH)
GammaLog I3 A,
Binomiallogit
PoissonlLog
BinomialProbit
NegbinlLog
BinomiallogC
Custom
target_distribution Normal 24 dist_Tink_combination 4 Custom i H#s
b [EEIiiR

Multinomial

035 (Gamma)
JeipXid
NegativeBinomial
Poisson

Tink_function_type

18 (Identity)

JAF8 e -5 02 2 A O 1Y S IR R 4.

LogC i target_distribution Wy
POEA| Binomial, HRARAILIEEH
CLOGLOG P70 s 9 A AT S 1K R K
Logit ik target_distribution Wy
NLOGLOG Multinomial ZAMIAEATE, ABA LA LA ]
PROBIT CLOGLOG, CAUCHIT, LOGIT,
POWER NLOGLOG ¥ PROBIT,
CAUCHIT ik target_distribution Wy
Binomial mf
Multinomial ZAMAEAIME, HEALETARIGE
IDENTITY, LOG Hf POWER,
Tink_function_param ¥ BE Y O K BR B S M 4
normal_Tink function @ Tink_function_type
i POWER I A3 .
use predefined inputs PR i 7 ] 7 RN B 8 SO R B
(true) IBERKH fixed effects list
(false). BR&E{E N false,
fixed_effects Tist By apta I use_predefined _inputs b false, HB4

7 g o A\ 7 B 2 7 B
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£ 117. glmmnode JHPE (£5).

glmmnode JE% 4=l BEHER

use_intercept trik RNy true (B ), ILTEBT b AFEHE
B,

random_effects_list ZitfE YR BERLBOY 46 5E Y 7 B oIk,

regression_weight_field FE XS JIE S B AU E B F B

use_offset None TR EEF#%, (5 None FIRAMH T

offset_value
offset_field

#%.

offset_value BT use_offset ¥ & K offset value Wl HAY-F
M.

offset field FE use offset & & offset field I T F#
AT,

target_category order Ascending SYRERRRHEFEIF, {H Data 5l FHEE

f% % (Descending)
Data

g HEF Y, B {E R Ascending,

inputs_category order

Ascending

F%% (Descending)
Data

Ay RTHMAS B HE 0T, {H Data f5 & A
B HER Y, BB Ascending,

max_iterations B SR BHATI B RSB AL, AR R
H1EH 100,
confidence level ki394 X T R R B DX A4l T R EAR
BEG ), ARUBEG BRMEh 100, BRAE(E N
95,
degrees_of_freedom method Fixed MR B i DL T R A
Varied
test_fixed effects_coeffecients |Model AT E SRV 7 22 5 R B 07 8.
Robust
use_p_converge trik AT S Bl S e 19,
p_converge HF EEETIRONXIN
p_converge_type AbsoTlute
Relative
use 1 _converge trdk FHT X B A SR W S5 6 13,
1_converge BT EEERERONRIN
1_converge_type AbsoTute
Relative
use_h_converge trid T Hessian WS LT,
h_converge 7 25 H B AT 1E{H
h_converge_type Absolute
Relative
max_fisher steps B
singularity tolerance HF
use_model_name FRk TR JE A BLE E E H 4R (true) IR
G AR (false), BRUETEHN false,
model_name FAFHR i use model name Fy true, HRAFEEM

YRR 24 7K.
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£ 117. glmmnode JHIE (£5).

glmmnode JEf% B BEHER
confidence onProbability TEEEPE > BAG R R R A A e 0 DURRE % =
onIncrease H i SO R TN A 2 2,
score_category probabilities bk W true, W K435 H bR A BT,
B E R false,
max_categories R i score_category probabilities W
true, ABAfEERAF B IEHIEL
score_propensity Fris WR Ky true, WEAIRIC H AR B A LA PF
9, TR FBEs R e T RETE.
emeans structure XF T E RV BN R B A R B, TR E
JE AR A T R (A
covariance_list structure XTI E R A R A ST B, 4R
VE AR T 120 R 24 {8 B A8 T 3 (08 2 B e X
{H.
mean_scale Original 6 E BRI AR R RE (B ) B
Transformed B IR BR B AR S T R A,
comparison_adjustment_method LSD T 22 AR LG BT MBI B IS D ) R R
SEQBONFERRONI 7.
SEQSIDAK

kmeansnode El¥

P K-Means 15 (KR RO SOREURIAMEL (SUR) | B Hol i XU R R, AT RIE
& SRR, DIRIHEERAED, ERIE— RO TE FUGIRUE.  Ameans 5 St —FilE BB

= JHLH,

il

node = stream.create("kmeans", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)

EIFAAE ISR, W A R RS AT B L

node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K", "Age"])

# "Model" tab

node.setPropertyValue("use_model _name", True)
node.setPropertyValue("model_name", "Kmeans allinputs")

node.setPropertyValue("num clusters", 9)
node.setPropertyValue("gen distance", True)

node.setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label prefix", "Kmeans ")

node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop_on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)

node.setPropertyValue("encoding value", 0.3)
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% 118. kmeansnode J&

kmeansnode B4 & Bt AR
TN [field ... fieldN] K-means BIAE — RIIHAF B EHATR A >
Mr, EIFAGEAIEARSBL. AN A = B
MR, S0 F B 149 U 13 R )
TEE 245 .
num_clusters 5
gen_distance iz
cluster_label FH5E8
e
Tabel prefix FITH
mode Simple
Expert
stop_on Default
Custom
max_iterations HF
tolerance T
encoding value HF
optimize HE T fa @ A g i Oy U 1 I 2 N FE,
M1z
knnnode JE%
The k-FRiTAHARIGZE (KNN) T 50K 4> 22 DG I 2 T AR & 23 [A] v 5 R SBIE 1Y & A% G2 12531
@ gl (Ho k EBE0 . RO EMILER, MR RAALITE,

il

node = stream.create("knn", "My node")

# Objectives tab

node.setPropertyValue("objective", "Custom")

# Settings tab - Neighbors panel

node.setPropertyValue("automatic_k selection", False)
node.setPropertyValue("fixed k", 2)
node.setPropertyValue("weight by importance", True)

# Settings tab - Analyze panel

node.setPropertyValue("save_distances", True)

F119. knnnode JHME

knnnode B¢

(=} Eeatail

P

PredictTarget
IdentifyNeighbors

objective

T
EE
Accuracy
Custom
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#119. knnnode JEYE (4%)

knnnode Bt & ettt
normalize ranges trids
use_case_labels b7 S e HE T B R — A 1T,
case_labels field FE
identify focal cases b7 WA BEHE T B R — A 16T,
focal cases_field FE
automatic_k_selection s
fixed_k B HAY automatic_k_selectio & False HA"
JRH.
minimum_k f£378 HAEY automatic_k_selectio & True WA
JE .
maximum_k A
distance_computation Euclidean
CityBlock
weight_by importance ik
range_predictions Mean
Median
perform_feature selection &
forced_entry_inputs [fieldl ... fieldN]
stop_on_error_ratio &
number_to select R
minimum_change HF
validation _fold assign_ by field |45
number_of folds 2378 H# 24 validation_fold assign_by field A
False A JEH.
set_random_seed trids
random_seed HF
folds_field FB HA4 validation_fold assign by field Wy
True ¥4 5 .
all_probabilities ik
save_distances ik
calculate_raw_propensities i
calculate adjusted propensities |#5zs
adjusted_propensity partition Test
Validation

kohonennode E¥

SEMUR,  ARRUAT ISR RLAE S RS SR R AR, B R ORIk MR et . T LB B R
BRI R~ BT BT AR RUL I (L A R R AR U BOR Y B0, XK AR SRR AT B R A B
filiit.

'E Kohonen 7 i 2 pll — e f 4, BLApZe 2l IR B R KB B A ERA, HZIZ
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il

node = stream.create("kohonen", "My node")
# "Model" tab
node.setPropertyValue("use model name", False)

node.
node.
node.
node.
node.
node.

setPropertyValue("model_name", "Symbolic Cluster")
setPropertyValue("stop_on", "Time")
setPropertyValue("time", 1)
setPropertyValue("set _random seed", True)
setPropertyValue("random seed", 12345)
setPropertyValue("optimize", "Speed")

# "Expert" tab

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("width", 3)
setPropertyValue("Tength", 3)
setPropertyValue("decay_style", "Exponential")
setPropertyValue("phasel neighborhood", 3)
setPropertyValue("phasel eta", 0.5)
setPropertyValue("phasel cycles", 10)
setPropertyValue("phase2 neighborhood", 1)
setPropertyValue("phase2 eta", 0.2)
setPropertyValue("phase2_cycles", 75)

£ 120. kohonennode &M

kohonennode % & B
TN [field] ... fieldN] Kohonen 7Y {ff fl%i A B 5135, (H A
Hir., AEABRFEMNEFE. H20H
F [ 149 v R TE R R ] T
[T IEACI=N
continue trids
show_feedback trk
stop_on Default
Time
time T
optimize R T E A ALY Ty 2t R 2 N AE.
m1F
cluster_Tabel ik
mode Simple
Expert
width HF
Tength HF
decay style % (Linear)
B (X)
phasel_neighborhood 5
phasel eta B
phasel cycles 5
phase2_neighborhood HF
phase2_eta HF
phase2_cycles HF
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linearnode Eif%

i S ] BT T AR A — A sl A WA B 2 (8] e 56 AR U 22 H AR

il

node = stream.create("linear", "My node")

# Build Options tab - Objectives panel
node.setPropertyValue("objective", "Standard")

# Build Options tab - Model Selection panel
node.setPropertyValue("model_selection", "BestSubsets")
node.setPropertyValue("criteria_best subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")

F 121. linearnode & 1E.

Tinearnode Bt (=] B4R
target FE 8 — - BiInTE.
inputs [field] ... fieldN] AR FH B PN 57 B
continue_training_existing_model |#5z:
objective Standard psm TR RIERE, [N 2 Server 3%
Bagging .
Boosting
psm
use_auto_data preparation &
confidence_Tevel HF
model_selection ForwardStepwise
BestSubsets
None
criteria_forward stepwise AICC
Fstatistics
AdjustedRSquare
ASE
probability_entry 7
probability_removal HF
use_max_effects b
max_effects 7
use max_steps trik
max_steps 7
criteria_best_subsets AICC
AdjustedRSquare
ASE
combining_rule_continuous Mean
Median
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% 121. linearnode JEPE (££).

Tinearnode Bt 4=l B
component_models_n HF
use_random_seed trk
random_seed B
use_custom model_name W
custom_model_name T
use_custom_name trk
custom_name FITH
tooltip FAFH
keywords FAFH
annotation FAH
linearasnode 4%
g_ LA TR BT H AR A — B 2 T AR 2 TA] Y 2 0C R PN 22 H Ar.
# 122. linearasnode JBVE
linearasnode JE% & Bt
target FE B — A HirFE.
HIN [field] ... fieldN] R PR A T A e B

weight_field

TE

TR FH A 93 Hr 7 B

custom_fields PR R (E -~ TRUE,
intercept b B (E ly TRUE,
detect 2way_interaction trak JE % B A 2C H., BAE(E R TRUE,
cin HF AT B 2B R B F XA,
FERXT 0 H/ANT 100 MfH. BEHH 95,
factor_order ascending A A A HERE . B4 (E Ny ascend-
descending ing.

var_select_method

ForwardStepwise

TOOE AR BE AR T k. BRAEE N

BestSubsets ForwardStepwise,
none

criteria_for_forward_stepwise AICC JH T 5 B 1) A5 Y R IR IR0 3 2 B A AR A
Fstatistics RV I E R, REEA
AdjustedRSquare AdjustedRSquare,
ASE

pin 7 He BRI P A I EA /N T AR E pin IR B

/N p fEHRIRLY, BRE(ER 0.05.
pout i KR BR B A T 48 € pout ISI{EAY p

ERIAE TR, SR 0.10,
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% 122. linearasnode JEPE (£E)

Tinearasnode JEl & ettt
use_custom_max_effects trid 2 TE e LT ep it e R RO B, B
A FALSE,
max_effects ¥ B i 2R b i T B e ROV R, R
ol
use_custom_max_steps s A RIS, BRA(E N FALSE,
max_steps HF Oy AR R W R R A TR, SRR EC
L
criteria_for best subsets AICC BN M AT, EMHEN
AdjustedRSquare AdjustedRSquare,
ASE

logregnode &%

7 -3 Logistic [11J92 —FZEit 7k, €HEMATROEMICRIETNL  BRUTEIERA, B
\Ly FRE 26 30 e BT AR A T .
Z IR

node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")

node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Log reg Drug")
node.setPropertyValue("use_partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("logistic_procedure", "Multinomial")
node.setPropertyValue("multinomial_base category", "BP")
node.setPropertyValue("model _type", "FullFactorial")
node.setPropertyValue("custom_terms", [["BP", "Sex"], ["Age"], ["Na", "K"]])
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")

node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)

node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")
# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)
node.setPropertyValue("1_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")
node.setPropertyValue("delta", 0.03)

# "Qutput..." section
node.setPropertyValue("summary", True)
node.setPropertyValue("1ikelihood ratio", True)
node.setPropertyValue("asymptotic_correlation", True)
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node.setPropertyValue("goodness fit", True)
node.setPropertyValue("iteration_history", True)
node.setPropertyValue("history_steps", 3)
node.setPropertyValue("parameters", True)
node.setPropertyValue("confidence interval", 90)
node.setPropertyValue("asymptotic_covariance", True)
node.setPropertyValue("classification_table", True)
# "Stepping" options
node.setPropertyValue("min_terms", 7)
node.setPropertyValue("use max_terms", True)
node.setPropertyValue("max_terms", 10)
node.setPropertyValue("probability entry", 3)
node.setPropertyValue("probability removal", 5)
node.setPropertyValue("requirements", "Containment")

B W ]

node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom _fields", True)
node.setPropertyValue("target", "Cholesterol")
node.setPropertyValue("inputs", ["BP", "Drug", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model name", False)
node.setPropertyValue("model_name", "Log reg Cholesterol™)
node.setPropertyValue("multinomial_base category", "BP")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("binomial_method", "Forwards")
node.setPropertyValue("logistic_procedure", "Binomial")
node.setPropertyValue("binomial categorical_input", "Sex")
node.setKeyedPropertyValue("binomial _input_contrast", "Sex", "Simple")
node.setKeyedPropertyValue("binomial input_category", "Sex", "Last")
node.setPropertyValue("include constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale value", 3.0)
node.setPropertyValue("all probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("1 converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section

node.setPropertyValue("binomial _output_display", "at_each_step")
node.setPropertyValue("binomial_goodness_of fit", True)
node.setPropertyValue("binomial _iteration_history", True)
node.setPropertyValue("binomial_parameters", True)
node.setPropertyValue("binomial_ci_enable", True)
node.setPropertyValue("binomial ci", 85)

# "Stepping" options
node.setPropertyValue("binomial_removal criterion", "LR")
node.setPropertyValue("binomial_probability removal", 0.2)
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£ 123. logregnode J&1E.

BackwardsStepwise

Togregnode B & B AR
target FE Logistic [A] TR 75— A B AR B S — 1
WENMATE, Al HBRMAE T B,
W20 E R 149 TUY 1M A EE B U
THEZGER.
Togistic_procedure ZIn
Multinomial
include_constant trks
mode Simple
Expert
method Enter
Stepwise
Forwards
Backwards

binomial_method Enter
Forwards
Backwards

model_type MainEffects ¥ FullFactorial 55 MEIHIZERINT, RIfH
FullFactorial HRETHMT Y, SHTEEASZET, MW
Custom S Enter Jyik,

ISR BRIRR B E y Custom, HRIGEH
SESCT B, UK AR A,

custom_terms

[[BP Sex][BP][Age]]

multinomial_base_category

T

R AN 5 2 75 2851,

binomial_categorical_input

T

binomial_input_contrast

Indicator
Simple
Difference
Helmert
Repeated
Polynomial
Deviation

T N B R I, T R AT
k.

binomial_input_category

First
Last

KR I B S, T E AT
ESH I,

scale

None
UserDefined
Pearson
Deviance

scale_value

BT

all_probabilities

&
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£ 123. logregnode JEPE (£5).

Togregnode B =1 B AA
tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
min_terms T
use_max_terms ik
max_terms 7
entry criterion 14
LR
removal_criterion LR
Wald
probability entry BF
probability removal HF
binomial_probability_entry BT
binomial_probability_removal HF

requirements

HierarchyDiscrete HierarchyAll
Containment
None

max_iterations

7

max_steps

BT

p_converge

.0E-4
.OE-5
.OE-6
.OE-7
.OE-8

1_converge

.0E-1
.0E-2
.0E-3
.0E-4
.0OE-5

(R e el e

delta

P

B
g

iteration_history

&

history steps

7

summary

tris

likelihood_ratio

tris

asymptotic_correlation

tris

goodness_fit

tris

parameters

tris

confidence_interval

27
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£ 123. logregnode JETE (£5).

Togregnode B4 i) B AR
asymptotic_covariance trids
classification_table s
stepwise_summary trids
info_criteria Wz
monotonicity measures trik
binomial_output_display at_each_step

at_last_step
binomial_goodness of fit i
binomial_parameters by
binomial_ iteration_history ik
binomial _classification_plots s
binomial _ci_enable ik
binomial _ci 7
binomial_residual BEHE

all
binomial_residual_enable trids
binomial outlier_ threshold HF
binomial_classification_cutoff HF
binomial_removal_criterion LR

Wald

Conditional
calculate variable importance trids
calculate_raw_propensities s

neuralnetnode E%

TR EMRATRR SR AL T A R D RE BT RRAS AL R A R A, FRHEAE T — 1Y (newralnerwork) LAY
NE. R YR T LG G T RRA SRAS R R X0, (EHA T S A SR o B A, X
RE T SCH AR A B A 2%,

Zy|

node = stream.create("neuralnet", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("targets", ["Drug"])
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
# "Model" tab

node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train_pct", 30)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue("random seed", 12345)
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
node.setPropertyValue("time", 3)
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node.setPropertyValue("optimize", "Speed")
# "Multiple Method Expert Options" section
node.setPropertyValue("m_topologies", "5 30 5; 2 20 3, 1 10 1")

node.setPropertyValue("m_non_pyramids", False)

node.setPropertyValue("m_persistence", 100)

Z£ 124. neuralnetnode |&1E

neuralnetnode Ef#

(=)

A

ExhaustivePrune
RBFN

targets [fieldl ... fieldN] G2 G e N o S e A ME R e 32
—AMEHEMAFER. AW FIALE
B ISR FER 149 TUHY 1l AR AUE)
TFEZAER.
method Quick
Dynamic
Multiple
Prune

prevent_overtrain i
train_pct HF
set_random_seed s
random_seed HF
mode Simple
Expert
stop_on Default 51k,
Accuracy
Cycles
Time
accuracy HF {5 1 HER .
cycles iEa N2 %
time HF YIZREIR] (208 %50) .
continue i
show_feedback i
binary encode iz
use_last_model s
gen_logfile bk
logfile_name FAF
alpha T
initial_eta HF
high_eta HF
low_eta HF
eta_decay cycles T
hid_Tayers — 2
W=
==
h1_units_one 5
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% 124. neuralnetnode JEVE (££)

neuralnetnode Eft & B AR
h1_units_two T
h1_units_three 5
persistence HF
m_topologies FAFH
m_non_pyramids ik
m_persistence 7
p_hid_Tayers —E
mE
==
p_hT_units_one T
p_h1 _units_one HF
p_h1 units_three HF
p_persistence HF
p_hid_rate HF
p_hid_rate 5
p_inp_rate HF
p_inp_pers 7
p_overall pers HF
r_persistence 7
r_num_clusters HF
r_eta_auto trk
r_alpha #HF
r_eta HF
optimize Speed T4 oA i o 8 3 2 N A7
Memory
calculate_variable_importance trak RECR 1 O ol 1107 e Sl U S
sensitivity analysis J@tt., IR ZHIHE
L (S < |
calculate_variable_importance,
calculate raw_propensities i
calculate_adjusted propensities |#rids
adjusted_propensity partition Test
Validation

neuralnetworknode &4

M TR R R T AL P AT IS AT, FRER LR D AE SR K B — MR Bl 4, L B

I PO 2% 15 5 B8 PR R R Xk SR Ak B3 L) 7 ST A6 T OB, B E i DR H AU T
ﬁ GRS R AT DU EC AT IR 0 .

il

192 1BM SPSS Modeler 17 Python M4 i1 21k 16 e



node = stream.create("neuralnetwork", "My node")
# Build Options tab - Objectives panel
node.setPropertyValue("objective", "Standard")
# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

% 125. neuralnetworknode J&E

neuralnetworknode JE% & B A
targets [field] ... fieldN] TEE B bs 7B
A [field] ... fieldN] AT A A U e B
splits [fieldl ... fieldN F&E BN AT IR R T B
use_partition Rk SR SCT A X B, T i 5w AR
Zr o X s A A
continue trk YRS 2R A BT,
objective Standard psm TR K EPEE, FRIFHE Server i
Bagging %,
Boosting
psm
method MultilayerPerceptron
RadialBasisFunction
use_custom_layers ik
first_layer units HF
second_layer_units HF
use_max_time i
max_time HF
use_max_cycles &
max_cycles HF
use_min_accuracy i
min_accuracy HF
combining_rule_categorical =
HighestProbability
HighestMeanProbability
combining _rule_continuous Mean
Median
component_models_n HF
overfit_prevention pct HF
use_random_seed iz
random_seed HF

missing_values

listwiseDeletion
missingValueImputation

use_model_name boolean

model_name FAFH

confidence onProbability
onlncrease
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% 125. neuralnetworknode JHPE (££)

neuralnetworknode JE% & ettt
score_category probabilities trids

max_categories HF

score_propensity s

use_custom_name trk

custom_name T

TERETR FIFH

Figs FF e

annotation FAFHR

questnode E%

Pl QUEST 15 i T 42 4l F M e S (19 — 0 0 2K, O IR Miscit B BRI KRR C&R 04 BT
%ﬁ? T (AL BRI E],  [R] ISt 0/ 260 T 3 P R BB S DARE SR P B Z - IR A, ST

Bl DUR KT ER (8Z) , (HERTBRAENER,  Fr a5 —Joh).

il

node = stream.create("quest", "My node")
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("model _output type", "InteractiveBuilder")
node.setPropertyValue("use_tree directives", True)
node.setPropertyValue("max_surrogates", 5)
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("use percentage", False)
node.setPropertyValue("min_parent records_abs", 40)
node.setPropertyValue("min_child records abs", 30)
node.setPropertyValue("prune_tree", True)
node.setPropertyValue("use_std_err", True)
node.setPropertyValue("std_err multiplier", 3)

* 126. questnode JFHPE
questnode Et ] Bt A

target FB QUEST #MFHEE —~NHIRFE L L —1a£
MATB, IR R T B, 155
I 149 R rm s T A e T

fit B 245 B
continue_training_existing_model |7z
objective Standard psm HTFAEH R EE4E, RIS Server #
Boosting .
Bagging
psm
model_output_type Single

InteractiveBuilder

use_tree directives trks
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% 126. questnode JETE (£E)

questnode B ] B
tree_directives FIH
use_max_depth Default
Custom
max_depth ki 54 RAWHEENML 0 #1000, HAE
use_max_depth = Custom A .
prune_tree tris EBTA, DURE SR B G
use_std_err tris R RN 2 (BRUEIRZE) |
std_err multiplier HF R ZEAH.,
max_surrogates T I KA,
use_percentage tri
min_parent_records_pc HF
min_child_records_pc #HF
min_parent_records_abs HF
min_child_records_abs HF
use_costs trk
costs EnyNia gt B,
priors Data
Equal
Custom
custom_priors ittt S5t JE k.
adjust_priors trk
trails #HF T E B 6 A A AR AT,
set_ensemble_method = SR BRI EAE A IR,
HighestProbability
HighestMeanProbability
range_ensemble_method Mean BEEE A AR B G I,
Median
large_boost tris DIE IR NUE €/ VAL SN
split_alpha B I3 HI s K
train_pct 7 By 1k LA R
set_random_seed trd RS R
seed bies
calculate variable importance iz
calculate raw_propensities ik
calculate_adjusted_propensities |frd
adjusted_propensity partition Test
Validation
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regressionnode %

P LV [ U2 — i 045 1 R s T DA S B S B AN S0 P e e v i, R R
iﬁﬁ; o i 2 18] 4 22 S de /MK

 I—

i AEARRMAATIR, A RO RO M L AT IAE TR B AL PR DE AT ek [m] ),

Zy|

node = stream.create("regression", "My node")

# "Fields" tab
node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use weight", True)
node.setPropertyValue("weight field", "Drug")

# "Model" tab
node.setPropertyValue("use_model name", True)
node.setPropertyValue("model_name", "Regression Age")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping_method", "Probability")
node.setPropertyValue("probability entry", 0.77)
node.setPropertyValue("probability removal", 0.88)
node.setPropertyValue("F_value_entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)

# "Qutput..." section
node.setPropertyValue("model fit", True)
node.setPropertyValue("r_squared change", True)
node.setPropertyValue("selection criteria", True)
node.setPropertyValue("descriptives", True)
node.setPropertyValue("p_correlations", True)
node.setPropertyValue("collinearity diagnostics", True)
node.setPropertyValue("confidence interval", True)
node.setPropertyValue("covariance matrix", True)
node.setPropertyValue("durbin _watson", True)

& 127. regressionnode &1t

regressionnode &% & B
target FE Wl AR — AN HAR B e — A 24

WATEL A LHEENE TR, ST
[ 149 siiy @AM SmtE ] THE
2 8.

method Enter
Stepwise
Backwards

Forwards
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% 127. regressionnode JHPE (££)

regressionnode [Ef¥ ] B
include_constant ik
use_weight s
weight field FH
mode Simple
Expert
complete_records iz
tolerance 1.0E-1 T RG] 5 6 A A B R,
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP: ffil] F rfExR
useF usef: i/l F {H
probability_entry 7
probability_removal T
F value_entry HF
F_value_removal HF
selection_criteria &
confidence_interval ik
covariance_matrix &
collinearity_diagnostics b
regression_coefficients s
exclude fields tris
durbin_watson trdk
model fit trids
r_squared_change trdk
p_correlations trik
descriptives i
calculate_variable_importance ik
sequencenode [EfE
ﬁ 815 s A] B0 5 R w5 T A D ) 5t b A IR DU f?ﬁﬂ%—g\ﬂﬁfﬁﬁ/ﬁ\lﬂfﬁﬁ?ﬂﬂﬂﬁf?ﬁ
: AERYIH A, B, — AT R IS K R B T RETE TR A IS e S AR, AT R

AT CARMA SCHHUNE ., R — DA AL d 7 ik A 4R P 4.
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il

node = stream.create("sequence", "My node")

# "Fields" tab

node.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("use time field", True)
node.setPropertyValue("time_field", "Datel")
node.setPropertyValue("content fields", ["Drug", "BP"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Sequence_test")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("min_supp", 15.0)
node.setPropertyValue("min_conf", 14.0)
node.setPropertyValue("max_size", 7)
node.setPropertyValue("max_predictions", 5)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("use max_duration", True)
node.setPropertyValue("max_duration", 3.0)
node.setPropertyValue("use pruning", True)
node.setPropertyValue("pruning_value", 4.0)
node.setPropertyValue("set_mem_sequences", True)
node.setPropertyValue("mem sequences", 5.0)
node.setPropertyValue("use gaps", True)
node.setPropertyValue("min_item gap", 20.0)
node.setPropertyValue("max_item_gap", 30.0)

£ 128. sequencenode JF1E

sequencenode [E ¥ ] Bt A

id_field FE BARF PN E, BFRERE - MRRF
B K —Aar gk i ) Be, DR — A%
NNEFE, A REF B B
W5 LA 149 U v a Y U]
o | TR 245 A

time_field FB

use_time_field b

content_fields [fieldl ... fieldn]

contiguous YT

min_supp T

min_conf T

max_size HF

max_predictions HF

mode Simple

Expert

use_max_duration s

max_duration HF

use_gaps trid

min_item_gap HF
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£ 128. sequencenode JEVE (%)

sequencenode [Ef¥ # B

max_item_gap HF

use_pruning bk

pruning_value HF

set_mem_sequences tpiks

mem_sequences B

slrmnode E4%

H 270 B AR (SLRM ) 5 5 A] T4 e — > 5 B 307 UL T 8 /0 0 R T ) S Y, it ot
BT, JG Rl P 4 AR dh Xt A TR i A B 1 B P X AT AT BB VA

il

node = stream.create("slrm", "My node")
node.setPropertyValue("target", "Offer")

node.setPropertyValue("target response", "Response")

node.setPropertyValue("inputs", ["Cust_ID", "Age", "Ave Bal"])

£ 129. slrmnode JEVE

slrmnode [E1% & i AA

target FE Hbr 7 Bon AU 24 L7 Bl v B, ]
DR I B, S 149 |
Lo AR AUm 1 | TRE2EE.

target_response FE RV IR,

continue_training_existing_model |45z

target_field values Frids Use all: i 2k 5 I 4 F0E.,

Specify: BE4F T HI(H.

target_field_values_specify

[field] ... fieldN]

incTude_model assessment

bris

model_assessment_random_seed ¥ WA SR SEAR

model_assessment_sample_size 7 WANLHE LA

model_assessment_iterations 7 ERE

display_model evaluation Yy

max_predictions 5

randomization ¥

scoring_random_seed HF

sort Ascending 18 58 6 R VI fi il 2 AR AR
Descending

model_reliability by

calculate variable_ importance &
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statisticsmodelnode B4

Statistics RT3 5 (i G AR E T IE 474 i PMML i) IBM SPSS Statistics 324> BT FlAb BEECIRE

W HEEEL IBM SPSS Statistics [ 1] Bl 7,

B SRR, 525 278 T 1 statisticsmodelnode JEE 1 |

stpnode E%

M. SMLERIIRH AT 2T, REATRREA I RS RN A (. ST

ZE[F]-I T T (STP) 155 6 A & L B4, PO A 7 B (F0MIAE &) | BT BORT H Ay B

e, l LA 2 e A S o A o o P B AR Bl AT S AR Y AR L

2 130. stpnode J&1E

stpnode [EfE HiEER B iR
FEIETR
target FE oA EHARTEL
& FE R0, B B, RV (8 T 3l 0 2 ()
FE.
Tocation_label FE DRFE, HTERE A location H
JIT 35807 B VS I 4
time_field FE ORI ) 7B, (AR L A e
M1 =B, JF B i 28 TR 0 231 Ay s ]
. B RO R R
inputs [field] ... fieldN] fAF B3R,
Pt (8] (8] B 1225~
interval_type_timestamp Years
Quarters
Months
Weeks
Days
Hours
Minutes
Seconds
interval_type date Years
Quarters
Months
Weeks
Days
interval type time Hours PRI STP T IT RIS A R 5055
Minutes B B AR AL
Seconds
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£ 130. stpnode JETE (£E)

stpnode /% HiRER i AR
interval _type integer Periods B SR K e g AT (RI DX TR]. A BT

(U R 517 B, B BAT )

T e AIPEREEL Y time_field A5
EdibpeR e Sith

period_start B
start_month January BEAKE TF A SL R G E i H 4y (61
February m, mRLRRERI= A, EHEEET
March 8-l N— A, MBAMBRE Bk
April HIPA DSk IR = A TR e LR E]) .
May
June
July
August
September
October
November
December
week_begins_on Sunday STP M4 Hcdia A 2 i I ] 2R 5 | 9 4 £
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
days_per week B s/AMEN 1, RN 7, HEHN 1
hours_per_day B BTSRRI B, AR e ot
W H 10, B2 BRI M
day_begins_at A JFUA#E . 3&5| IF-Frsk
10 A/, SRJGBEE S day_begins_at
HITRCH T — BS54,
day begins_at 00:00 P AR IR LR T R /N
01:00
02:00
03:00
23:00
interval_increment 1 SEAE S B X B ERD, I E T
2 BARR IR B B R T IRALE, R,
3 TEFG T 30 Ff FLISF[a] [a] b 22 A FD 1 1
4 LT, B 30 MRIEEE A E AR
5 3l.
6
10
12
15
20
30
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&£ 130. stpnode JETE (£E)

stpnode EfE HiEER B AR
data_matches_interval i 2R 1E MR E R N, AL, 2%
Bl 4 A interval_type,
RO E R X, IF A
interval_type FlET IR B AR5 44
AHUCED, THA I E A Y DABH R R
s R E .
FEMIE B Y S8 T AL R A .
agg_range_default Sum I Bk 5 T S 5 B B0 R
Mean o RBIEA AL A E wILE R R AT
=/ME S BB T A FE R 0 O ik AT
Max B,
FR{LEY
F— NN
F= N
custom_agg [[field, aggregation|&ifth)Ei:
method], []..] A ZH: custom_agg
R FIan:
[['x5" '"FirstQuartile']['x4"'|set :stpnode.custom_agg = [
"Sum']] [fieldl function]
[field2 function]
1
Hrp function 22 5ZF AL G HHY
TR R,
BEARRT+
include intercept PRk
max_autoregressive lag = B/MER 1, KRMEHR 5, HEN 1 I

SRR AP TR TRes: o GO o L A 1
RUER 5, IBAHE e 5 &id
SEBIERTM, SRR M Bl e
R Hos & FF BB, LA
PRI AT PR 23 B - 4R (Al

estimation_method

Parametric
Nonparametric

JH T X =5 18] 77 2 0 B 00 AT s B Ry 07

parametric_mode] Gaussian Parametric ZS[H] P Z BB 254,
Exponential
PoweredExponential
exponential_power number PoweredExponential BLEUMIRA], Hx
ME T, RORIEA 2.
BRI
max_missing_values R B ep 7o VR B iR B A E SR BT o Y I
KA.
significance number PR AR R AR e M ) B A, 48

i STP BRSPS (AP
AR, MOV F Rk ERE T K
%) B E A,

B e R
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£ 130. stpnode JETE (£E)

stpnode Eff HiERR B

model_specifications Vi

temporal_summary bk

Tocation_summary trak TS 7 A B R A B A A AR A
T,

model_quality i

test_mean_structure iz

mean_structure_coefficients s

autoregressive_coefficients iz

test_decay_space i

parametric_spatial_covariance iz

correlations_heat_map i

correlations_map i

Tocation_clusters i

similarity_threshold number KR, SRR EE, A
R, WINPT,

max_number_clusters B A DL TR R o b A SRR EE Y B
i3

Rl AT RIS

use_model_name i

model_name string

uncertainty factor number /MEHR 0, BARMEHN 100,  PeEM A
TARRTM A AT EME (HHR) 8K,
BT AR,

svmnode E4

. RS AL (SVM) 455, ATLOR A 2 4], M e, SVM ] RIS kR Hdla 4

.
+\.h_"\-_:l
- Q-\'\-

Zn|

P {6 1, G m IR & A R i A B Bl £

node = stream.create("svm", "My node")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("kernel", "Polynomial")
node.setPropertyValue("gamma", 1.5)

# 131. svmnode JE1E.

svmnode [

=}

EEatal

all_probabilities

&
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# 131. svmnode JEME (£E).

svmnode BT B B AR
stopping_criteria 1.0E-1 iff 7 AT B 455 A D0 A B0
1.0E-2
1.0E-3 (default)
1.0E-4
1.0E-5
1.0E-6
regularization HF HFh C 24
precision ¥F 04 B AR B 2% 5124 Continuous
I A fe .
kernel RBF (48 ) FHT AR 45 1) N A% R RO A
Polynomial
Sigmoid
Linear
rbf_gamma T {XAE kernel Zf RBF [ 1]
gamma BT {YAE kernel Jy Polynomial #{ Sig-
moid M A,
bias HF
degree T {UAE kernel & Polynomial H{#i f.
calculate_variable_importance |45z
calculate_raw_propensities iz
calculate_adjusted_ s
propensities
adjusted_propensity partition |[Test
Validation

tcmnode E14
AP I ] S A2 3 5 DI ) BB o 6 G SR 6 . AR ISR i eh 598 52 — L E AR

B, JigE ks BhRi — Ak A, ARG, SRR EA BRI A B R, 3 HAX
BLARTRLE55 H AR PR K R di o B AT

F 132, temnode J&E M

temnode [EE (=] B4R
custom_fields i /R ME
dimensionlist [dimensionl ... dimensionN]
data_struct Multiple
Single
metric_fields FE
both_target_and_input [fl ... fN]
targets [fI ... NI
candidate_inputs [fI ... fN]
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% 132. temnode JEVE (£E)

tcmnode EE

(=)

bRl

forced_inputs

[fl ... fN]

use_timestamp

Timestamp
Period

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod

period_field

T

period_start_value

bics/4

num_days_per_week

Fic3 34

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

biis /4

start_hour_of_day

bic3 4

timestamp_increments

bizs /4

cyclic_increments

b3 4

cyclic_periods

BIES

output_interval

None
Year
Quarter
Month
Week
Day
Hour
Minute
Second

is_same_interval

Same
Notsame

cross_hour

AR 1E

aggregate_and_distribute

PZES
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% 132. temnode JEVE (£E)

tcmnode EE

(=)

AR

aggregate_default

Mean
Sum
Mode
Min
Max

distribute_default

Mean
Sum

group_default

Mean
Sum
Mode
Min
Max

missing_imput

Linear_interp
Series_mean
K_mean
K_meridian
Linear_trend

None
k_mean_param B
k_median_param B
missing_value_threshold E2378
conf_level B
max_num_predictor B
max_lag B
epsilon HF
threshold B
is_re_est TR ME
num_targets B
percent_targets R
fields_display PIES
series_display PIES
network_graph_for_target i /R (8
sign_level for_target #H7
fit_and_outlier_for_target iR
sum_and_para_for_target iyl
impact_diag_for_target i /R (E
impact_diag_type_for_target Effect

Cause

Both
impact_diag_level for target E234
series_plot_for target iR 1E
res_plot_for target iR 1H
top_input_for_target MR H

206 1BM SPSS Modeler 17 Python JiZ%m i1 [ 21k 18 e




% 132. temnode JEVE (£E)

tcmnode B L] Ei%AE
forecast_table_for_target ViigIeA
same_as_for_target M7 R ME
network_graph_for_series Vgl
sign_level for series HF
fit_and_outlier_for_series Vgl
sum_and_para_for_series iR 8
impact_diagram for series i R E
impact_diagram_type_for_series Effect
Cause
Both
impact_diagram_level for series |Z#%{
series_plot_for_series i /R ME
residual_plot_for series Vi eI
forecast_table_for series i /R AE
outlier_root cause analysis TR A
causal_Tevels E2578
outlier_table Interactive
Pivot
Both
rmsp_error Vi e
bic iR E
r_square i 2R ME
outliers_over_time M7 R ME
series_transormation ViiglA
use_estimation_period i R ME
estimation_period Times
Observation
observations VIES
observations_type Latest
Earliest
observations_num f2378
observations_exclude L2354
extend records_into_future i /R AE
forecastperiods [2%54
max_num_distinct_values L2578
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for series M7 R (E
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% 132. temnode JEVE (£E)

tcmnode JEfE Ll B
aic iR MH
rmse TR

timeseriesnode Ei%

Z7AEH ARIMA (BIASHepg $) 0, SRR BORORPERERY BRI, FEIHE] P51 5 2 BT A0 I

i s 6] 2 7 3 A B T e 9 e A RoT TR BA  a] HE B A8 3P4 (ARIMA) LR A
1] [ B 9

il

node = stream.create("timeseries", "My node")
node.setPropertyValue("method", "Exsmooth")
node.setPropertyValue("exsmooth model type", "HoltsLinearTrend")
node.setPropertyValue("exsmooth_transformation_type", "None")

% 133. timeseriesnode J&1E

timeseriesnode Bt =1 B
targets FE I 1] 7 ) 5 ] DA — A~
ZAHEAr, AL ] — 1
5 2 i A BAE Ry I AR
W, AR B E T
B, HZSHER
v T S Tk
HEZEE.
continue s
method ExpertModeler
Exsmooth
Arima
Reuse
expert_modeler_method trak
consider_seasonal i
detect_outliers by
expert_outlier additive i
expert_outlier_level shift s
expert_outlier_innovational i
expert_outlier_level shift s
expert_outlier_transient i
expert outlier seasonal additive s
expert_outlier_local _trend i
expert _outlier_additive patch s
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% 133. timeseriesnode JETE (4£E)

timeseriesnode Bt =] B AR
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p BH
arima_d B
arima_q BH
arima_sp Ei1S4
arima_sd BH
arima_sq B
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant i
tf_arima_p. fieldname R JHT e e ek 5.
tf_arima_d. fieldname E37¢ R e
tf_arima_q. fieldname 27 JHT e e ek 5.
tf_arima_sp. fieldname R R e
tf_arima_sd. fieldname R JHT e e ek 5.
tf_arima_sq. fieldname R R 2T
tf_arima_delay. fieldname 2 JHT e e ek 5.
tf_arima_transformation_type. fieldname None FIF A R AR,
SquareRoot
NaturalLog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive Rk
arima_outlier Tevel shift trib
arima_outlier_innovational Rk
arima_outlier transient trik
arima_outlier_seasonal_additive Rk
arima_outlier Tlocal_trend i
arima_outlier_additive_patch Rk
conf_Timit_pct real
max_lags B
events FE
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% 133. timeseriesnode JEPE (£E)

timeseriesnode [Ef¥ & B R
scoring_model only tris MAFETKE (B07) WEF
G R,

treeasnode E¥

H CHAID 7 8i; {HfE, Tree-AS 17805 FEALFH I HH: LA M, FF7E SPSS Modeler V17 H1
TSI A e P R AR AR, 4TS s R 5 5T (CHAID) (R B R AL 7 2B i e
Fems, X CHAID (W3 —f Fl e 25 s AR ook, M S Letr sl A AL B4y, Hbs il
ANFBEAPUESFEEH (i%22) #4035, Exhaustive CHAID & CHAID MBIERR, EXITHE 7%
AT E MR A, (BB K,

@ 4 HA S IBM SPSS Analytic Server 7 HiERRT, Tree-AS 184G, IS8 F 3

# 134. treeasnode JEVE

treeasnode B L] B
target T 1t Tree-AS 51, CHAID #iAlFHZEHAH

PRl — Ao A5 AN F B, 180T DLES E %
FB TSN B 149 TR 1l AR T ]

THRE 2158,

method chaid

exhaustive chaid
max_depth B RRAREE (L0 ] 20) . BREEA 5.
num_bins B 24 %540 e 3 2 AR R A L B

T T O B SR B I 2,

4. 5. 10, 20, 25, 50 = 100,
record_threshold B OB, A ) 0 BRI LT AR A R s
ALK E ] p EOT AR R, BRAEE A
1,000,000; iEHI6HE 10,000 573l /),

split_alpha 7 SrEII R ENKE, BELHANT 0.05 A
0.95 Z[a],

merge_alpha #H7 SRR ENKT, W ELHN T 0.05 H
0.95 ZIa],

bonferroni_adjustment ik i il Bonferroni 2% 5 35 (4.

effect_size threshold cont HF VB AT T 22 B AR IR 23 1 SR I 280 i
AR R/ NE L. 74T 0.01 10 0.99
Z 1],

effect_size_threshold_cat 7 BCE 5 2K B AR IR 2015 M 5 28 B Y
BOVR/NEE, ZEALHANT 001 F1 099 2
[i],

split_merged categories R FUVERE IFRY B HEAT T2 .

grouping sig_level 5 JH T80 7 U] T8 B4 5 4 e 3R 1) S T

chi_square pearson OEATHHE RSt H ik Pearson B

Tikelihood_ratio 54
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% 134. treeasnode JEVE (£E)

treeasnode B & B A
minimum_record_use use_percentage
use_absolute
min_parent_records_pc 7 BRAEE R 2, B/AMEN 1, RKREHR 100, H
w1 RS MR TS
min_child_records_pc 7 Bl 1 BMER L, BoR{EN 100, 34
B L
min_parent_records_abs HF B E N 100, H/MEHR 1, HKMEN 100,
WER 1, AR ELHET X
min_child_records_abs HF BREE N 50, S/ MER 1, R 100, 3
w1
epsilon HF SR B TS A A B/ VIR AL,
max_iterations 7 W S i e R B AR YRR
use_costs Rk
costs Zittt gitgtb)gErE, g 3 MEAMRYIE:
SEBRE. FUME AT SCA CAn 2R R e ) |
filin:
tree.setPropertyValue("costs”, [["drugA”, "drugB”,
3.0], ["drugX"”, "drugY”, 4.0]])
default_cost_increase none i AT E AR L
Tinear T B AR PR A R4 R
square
TE
calculate_conf ik
display_rule_id tris TEVE I th P I — 7 B, RoanB e
3 0 2 f) 280 19 s AUAR IR,

twostepnode [E%

Nl
node

node.
node.
node.
node.
node.
node.
node.
node.
node.

A TwoStep 15 A WIS, S5 ST BRALE, LA I A ORI 4
@ MTERIES. BRI TRE S — B A RMERE. TwoStep SLH —

LA, BUERER IR ER B Sh il TR R I

%.

= stream.create("twostep", "My node")
setPropertyValue("custom fields", True)
setPropertyValue("inputs", ["Age", "K", "Na", "BP"])
setPropertyValue("partition", "Test")
setPropertyValue("use_model name", False)
setPropertyValue("model name", "TwoStep Drug")
setPropertyValue("use partitioned data", True)
setPropertyValue("exclude outliers", True)
setPropertyValue("cluster_label", "String")
setPropertyValue("label prefix", "TwoStep_ ")

B AT DL AL R £ 1 7 BRI R ) Kb
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node.setPropertyValue("cluster _num auto", False)
node.setPropertyValue("max_num_clusters", 9)
node.setPropertyValue("min_num_clusters", 3)
node.setPropertyValue("num_clusters", 7)

7 135. twostepnode J&1E

twostepnode B

(=)

e R

BN [fieldI ... fieldN] TwoStep B i A F BB, (HA6H]
Hir., NRAINEFEMHEFEE., HSMH
EHIE 149 viiy cE AR AR ] T
fi i 215 8.
standardize s
exclude outliers trids
percentage 7
cluster_num_auto trids
min_num_clusters 7
max_num_clusters HF
num_clusters 7
cluster_Tabel FRFER
VS
Tabel _prefix FIH
distance _measure Euclidean
Loglikelihood
clustering_criterion AIC
BIC

twostepAS E4

% 136. twostepAS JFH1E

CCRRIRE-IRR TR, AT EAREETEARNH R ERTA (BIRE) . st B AR
FEA Z AR RIE A B AR RIEOR,  Blnsb o RAE SR & RIKH 1Y H shik
FLU BT A,

twostepAS B il BEHR

inputs [fI ... fN] TwoStepAS L H i FH — %1 A
FE, EAEHERTR. A~
PUNALE F- BRI R B

use_predefined_roles i IR A R True

use_custom field assignments i R AE 45 {H 4 False

cluster_num_auto i R AE BN True

min_num_clusters integer Bl 2

max_num_clusters integer BN 15

num_clusters integer BEE R 5
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£ 136. twostepAS JHPE (££)

twostepAS E&

=}

s ipes

clustering criterion

AIC
BIC

automatic_clustering_method

use_clustering_criterion_setting
Distance_jump
R/INME

RA(E

feature_importance_method

use_clustering_criterion_setting

effect_size

use_random_seed MR ME
random_seed integer
distance_measure EucTidean

Loglikelihood
include_outlier clusters A R AH B~ True
num_cases_in_feature tree leaf is _less_than|integer BRAE R 10
top_perc_outliers integer HAEN 5
initial_dist_change threshold integer AEHEH 0
Teaf_node_maximum_branches integer BB E N 8
non_leaf node maximum_branches integer BREEN 8
max_tree_depth integer BB EN 3
adjustment_weight_on measurement Tevel integer AN 6
memory_allocation_mb HF R 512
delayed split /R {H A True
fields_to_standardize [f1 ... fN]
adaptive feature selection R (A R E N True
featureMisPercent integer BB N 70
coefRange By AR 0.05
percCasesSingleCategory integer gE R 95
numCases integer A E N 24
include_model_specifications AR {E BB EA True
include_record_summary iR M8 BREE N True
include_field_transformations AR BB EA True
excluded_inputs /R M8 A True
evaluate model quality A R AE B A True
show_feature importance bar chart i R AE FE(E N True
show_feature_importance_ word_cloud AR {H BB E A True
show outlier_clusters i /R AE B E A True
interactive_table_and_chart
show_outlier_clusters_pivot_table AR HAE A True
across_cluster_feature_importance i /R AE B8 fE A True
across_cluster_profiles pivot_table iR 1E B {E R True
withinprofiles Aii R E AN True
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£ 136. twostepAS JHPE (£E)

twostepAS BT il BEHER
cluster distances i R M B (E R True
cluster_label FEE

Number
label_prefix String
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£ 14 B HERTREMN

LG R A A SR ) o A

165 A 63 TUi BT AEME | THREZER.

applyanomalydetectionnode Ef4#

AT S R T A A AR i R A AR B, Z BRI IR 2R R applyanomalydetectionnode, K45
AT S E S AR TEANE B, S MES 149 T 1 anomalydetectionnode J@ 1k 1 |

£ 137. applyanomalydetectionnode J&TE.

Bt & B
anomaly_score_method FlagAndScore iff E A MR Lt i P4
FlagOnly
ScoreOnly
num_fields BH ERE TR,
discard_records trik FER SR N b B F DR,
discard_anomalous_records PRk HBREERREHIGHEREER FRFICE.  EIR
SH off, FREFIERFILE. BN, WRRS
N on, M ZF &5 Hidx. EPEN!
discard_records JEIERT, A2 E HILEME,

applyapriorinode 1%

Al ffi ] Apriori #AR Y SR Apriori AR

H B A R4S B, S 150 T 1 apriorinode J@ 1k 1 |

2 138. applyapriorinode J& k.

PRI A ZFR A applyapriorinode, 4 45 5 BT 5

applyapriorinode Et ] B A
max_predictions 7 (EH)
ignore_unmatached tris

allow_repeats trik

check_basket

NoPredictions
Predictions
NoCheck

criterion

EfEE(C)
Support
RuTeSupport
Lift

Deployability
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applyassociationrulesnode [Et%

ORI AT 50T DU T AR O A TR e, AR B ) I AR 225K~ applyassociationrulesnode.,
HHEA S BA RN R, S0 152 Y 1 associationrulesnode J@ Pk 1 |

Z¢ 139. applyassociationrulesnode J& 1k

applyassociationrulesnode /& |HIBHEA Bt A
max_predictions BH AT DA FH 7 50 A i A B R D
criterion Confidence TEAF P 8 0D 11
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats M5 1E T 2 7 9T A ] ) 0 D0 60 358 7 o i

check_input

NoPredictions
Predictions
NoCheck

applyautoclassifiernode g%

“Har g @A ST T AR s R e, BT A 28K applyautoclassifiernode, £ 5%
G S EAR S E BAREAE B, 2R 154 T 1 autoclassifiernode J@ M 1 |

% 140. applyautoclassifiernode &1k

ConfidenceWeightedVoting
RawPropensityWeightedVoting
HighestConfidence
AverageRawPropensity

applyautoclassifiernode Bt ] B AR
flag_ensemble method G2 T8 T BAR VR 1Y ik, {041k

SE /) H bR b T B, A2 %k
H.

flag_voting_tie selection Random TR C e R S, MR A 1
HighestConfidence Ik, ACHBERE H H AR AR ST B,
RawPropensity A ENMZRE.

set_ensemble_method i T2 M T8 2 ARV ik, (4 1k
ConfidenceWeightedVoting SER AR G TBUN, A 2 B
HighestConfidence H.

set_voting tie_selection Random WEARC e BTk, WG & a1y
HighestConfidence Tk, AUCHBEE W B bR N2 S BT,

A =R %A,

applyautoclusternode &%

“H BRI AT Rn] T A H SRR

R A B FR N applyautoclusternode, ZFETIHAR

FEAEHAM R, A TR S E S WA S, W20 156 UK ¢ autoclusternode JRTE 1 |
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applyautonumericnode g%

“E BB B SR T AR R SRR e, ORI S B A 4 FR R applyautonumericnode, 6 X4RE
HBT S B EAR RS R, E SRS 157 TUAY 1 autonumericnode JEE 4 |

Z& 141. applyautonumericnode J&Pt.
applyautonumericnode JEM & Bt

calculate_standard_error trk

applybayesnetnode E%

T FE D PSR A4 A S DL B g AR, IR AR F AR applybayesnetnode, S
T E SRR, SR 158 BUKY T bayesnetnode Ja Pk 1 |

£ 142. applybayesnetnode J&1E.

applybayesnetnode B =] JEMIAA
all_probabilities ik
raw_propensity trid
adjusted propensity i
calculate _raw_propensities trid
calculate adjusted propensities |#pids

applyc50node [E1%

njfdif C5.0 BT AR C5.0 BB AR AR ZFRA applycSOnode, G Fdn B R S H & A
MVEANE B, 2 R[E 160 T 1 cS0node JHTE 1 |

% 143. applyc50node @1k

applyc50node JE =1 Bt AR
sql_generate Never T BN EPAT AR ) SQL AR i1,
NoMissingValues
calculate_conf fris JE R SQL A= B al fl;  sbJm MK B A5
RARETEA R,
calculate raw_propensities &
calculate_adjusted propensities s

applycarmanode Ef4%

A H CARMA JHE A CARMA BRI, 2R IA ZFR N applycarmanode, 7RI PUATFAE I
flEtE, RSB R E S WANIEAE R, WS 161 ST [ carmanode JEtE 1 |
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applycartnode Ef%

i C&R B A il C&R BiAIIHR, R BIAR ZFR A applycartnode, 76 9% 5 B4R 1 15 H
AR VRS B, ESRES 162 T 1 cartnode JETE 1 |

Z& 144. applycartmode J& 1.

applycartnode [E% & B AR
sql_generate Never FF0 E HUIN AL AT TR B SQL AR e i,

MissingValues
NoMissingValues

calculate_conf trk Ja M SQL A U] i sb)s R B AR R
SALFEAEAE AL R,
display_rule_id trds EVEr iR — A5 B, RREids

Za e IliVER S REp NI DL

calculate raw propensities trik

calculate_adjusted propensities | f7as

applychaidnode Ef4

A ffi ] CHAID #AT5 SA4Ei CHAID MR, ZAR L A B R A applychaidnode, H5 54’5 H AT 5 H
SIS B, TS E 164 5L 1 chaidnode JETE 1 |

7€ 145. applychaidnode J&1E.

applychaidnode B il Bt AR

sql_generate Never

MissingValues

calculate_conf trids

display_rule_id trk VP I — 7 B, RoREMER
7 W0 2 f) 283 19 LAY AR IR,

calculate raw propensities trik

calculate_adjusted propensities | f7as

applycoxregnode &1

A ] Cox FREBLT s R Cox HEFYH, MR H R A 2 FR N applycoxregnode, 5 34w 5 #F T S H A
FIVEAN1E B, 525 166 T 1 coxregnode JgEME 1 |

¢ 146. applycoxregnode )@ 1t.

applycoxregnode B & B A
future_time_as Intervals
Fields

time_interval HF

num_future_times 2378

time field FE

past_survival_time FE

all_probabilities trids
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£ 146. applycoxregnode JHIE (4££).
applycoxregnode B4 L] JEMIAA

cumulative hazard ik

applydecisionlistnode g%

PRGN F AT ] T A e SR R e, AR IR 2 FR A applydecisionlistnode, 7 595 5 T
SE SRS A, &S 168 T 1 decisionlistnode JRTE 1 |
% 147. applydecisionlistnode )& k.

applydecisionlistnode &t # Bt A
enable_sql_generation trids

{§ M EN, IBM SPSS Modeler 43523 ik 5
H|F A [ HEF]) SQL.

calculate_raw_propensities trik

calculate_adjusted propensities |#pids

applydiscriminantnode [E%

FI GRS s ] AR A R e, ARV A 24 FR O applydiscriminantnode, A 4% 5 BT s EH B
FIAS VRIS B, S M 169 UK 1 discriminantnode Ja 1 1 |

7% 148. applydiscriminantnode J&E.
applydiscriminantnode &t # Bt A

calculate _raw_propensities ik

calculate_adjusted_propensities trk

applyfactornode %

“E G AR T AR RA] T A T A o A/ AR I B, IR AR S K applyfactornode. 1%
WP B, A G B @R R E AN E B, S0 171 50 ¢ factornode @t |

applyfeatureselectionnode &4
SREE R HAE A AT IR B E A B0, VBRI A 458N applyfeatureselectionnode. 4154
ERB S E B HAR 45 E, 1S REE 172 T 1 featureselectionnode JEE 1 |

£ 149. applyfeatureselectionnode J&1E.
applyfeatureselectionnode [EfE L] JEMIAA

selected ranked fields

i AR T 2 R A AR L8 2 HE PP B
F R R LR E 2 A AR L Bt 7 B

selected_screened_fields
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applygeneralizedlinearnode 1%

T XENE (genliny” GRS ST AR AT AR, BRI IIA 2R applygeneralizedlinearnode.
A GG AT S B AR IS S, 1SR 174 TUAY 1 genlinnode JEE ¢ |

7€ 150. applygeneralizedlinearnode J&1E.

applygeneralizedlinearnode JE1 |f& B A

calculate_raw_propensities R

calculate _adjusted propensities |fpids

applyglmmnode &%

GLMM #4455 0] I TAE R GLMM B He %R e A ZFR K applyglmmnode, 45 F-4n 5 @A T S A
BIAMVEAE B, S M[E 177 50 1 glmmnode JEE 1 ]

% 151. applyglmmnode J&1E.

applyglmmnode [ ] Bt A
confidence onProbability VSV B AT B M S i F o 0L AE 6
onIncrease B S IR e T 2 2,

score_category_probabilities Frik WRRE K true, W03 HARAE I
2, REBARMOE -AFER. BREER
False,

max_categories B BTN AR KK EH . Y
score_category probabilities & True A4
.

score_propensity trik WA E N True, AB2 AN EAVREHARAHE
A R GAMR R PE4 (“True 4k A AT RENE ) |
MR DXAE T A2, A Y 2 AR 4R 3 23
DR PR SR A e P oy, SRAEEY False,

applykmeansnode 1%

K-Means 7 S0] T A B K-Means #RUHL, AV IIA LR N applykmeansnode, AR HUARAETE
HAbJEYE, ARG BT S E S AR, 2 0EE 180 T ¢ kmeansnode JRTE 1 |

applyknnnode E%

KNN ZA S n] TR KNN B AR B B SR & applyknnnode, 5 4% 5 @ 5 H 5 A
HIVEAN{E B, EZ 0 181 B1HY  knnnode JE1E 1 |

% 152. applyknnnode & 1E.

applyknnnode [Ef§ L] et
all_probabilities trs
save_distances triks
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applykohonennode &%

Kohonen #1750 T4 i Kohonen MU, IZBIRI A XFR N applykohonennode, 1ZA R ALEAE
HAtJ@ME, A RMEEET S E BEAREAGEE, S0 160 T 1 c50node J@k 1 |

applylinearnode &%

AT 2Rt AT A R M R e, RIS 8RR applylinearnode, 45 5 49q 5 BT i H B IIAS 1)
VEANGE E, 5S04 184 BUY 1 linearnode JETE 1 |

% 153. applylinearnode JHE.

linear B4 =l B
use_custom_name trids

custom_name e

enable_sql_generation iz

applylinearasnode Ef%

Linear-AS F#7 S0l JH T4 B Linear-AS FiFUHr, B HL i BIA SR ZFR N applylinearasnode, 1 X4E
R 0 SR VEAN 8, 42 (BB 185 B 1 linearasnode JaiTE 1]

% 154. applylinearasnode &1

applylinearasnode [Eff L] JEMILAA
enable sql_generation udf AN udf,
native

applylogregnode &%

“Logistic [H] R gAY Al F T2 i “Logistic 8 IR BRI He %M B IIAR & 5N applylogregnode.
S B A B AN NS B, 2 186 T 1 logregnode J@TE 1]

£ 155. applylogregnode J&HE.

applylogregnode [E1% =1 JEMIAA
calculate raw_propensities s
calculate_conf W
enable_sql_generation s

applyneuralnetnode E%

PP 28 FARRT ] T AR R e I g R T R AR TR I B AR A applyneuralnemode, 7 5% 9% 5 R
T E S A RVEANE B, ESR[EE 190 BUH 1 neuralnetnode J@ 1 |

TR (EMRATHCP AL T BA R I RE IR R M 25 BRI, JRIEAE T — 5 (applyneuralnetwork) Wi
frods. R SERTRAYR AT, (B FA TR S E A DL B RA,  BEAR PR B TR AR AR A TR R B
IS, (AR R 0 AT P A S F
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% 156. applyneuralnetnode )& 1t.

applyneuralnetnode JEi% i) EMIRAA
calculate_conf trid JaM SQL AR /L MefE VR B AR R
FEAEAE U R,
enable_sql_generation s
nn_score_method Difference
SoftMax
calculate_raw_propensities ik
calculate_adjusted propensities |#5zs

applyneuralnetworknode [Ei%

S P R S R A A 2 A R

G A 255 A applyneuralnetworknode,

BT S B AR NS B, S0 192 BUY 1 neuralnetworknode Jg 7k 1 |

% 157. applyneuralnetworknode J& 1t

CES G

applyneuralnetworknode i i) B AR
use_custom_name i
custom_name F
confidence onProbability
onlncrease
score_category probabilities br
max_categories HF
score_propensity PR

applyquestnode 4%

AL QUEST 15 i E i QUEST KB, ZBURIE A X FR A applyquesmode. K4 G K H

B IEGE S, S A 194 TUHY F questnode JETE 1 |

158 applyquestnode &1t

applyquestnode B

(=l

B RA

sql_generate

Never
MissingValues
NoMissingValues

calculate_conf

ik

display_rule_id

trids

e IliDER SR EDENibE T AN

FEVE S i i P s I — A B, R A IE R

calculate_raw_propensities

{23

calculate_adjusted_propensities

tri&s
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applyr Bk

“R A EMT S0 AR R A, SRR A ARG AR N applyr. G 4 BRI H B AR
MEafE B, 52 R 159 BUA 1 buildr Je Pk 1]

& 159. applyr J@ 1k

applyr Etf & S Eabl

score_syntax T RE T HATRIEIPE Y R IATEE,

convert_flags StringsAndDoubles BRI T Hefebn 7 B
LogicalValues

convert_datetime ik SR 5 TR B H S B ) % X

MAS Al R H 33/ ) A =

convert_datetime_class POSIXct XU PRI T 46 E SR H B H B [
POSIX1t M 2 A A e A A 2 2L

convert _missing bR MR T B R E 54 R NA {H,

asapplyregressionnode [Ef4%

“ERPE IR A AR ST A AR R R [ R B, AR AR X FR - applyregressionnode, ZRRIGUAN
TEAEHABIRYE, A O 5 H R U B IAS RS B, 15 S 5[ 196 U 1 regressionnode JEHE 1 |

applyselflearningnode &%

“H A AR (SLRM) BT i n] T AR SLRM ORI, BRI A 245K applyselflearningnode.
ARG BB G SRR EANE R, WS 199 5UH ¢ slrmnode JEiE 1 |

7 160. applyselflearningnode J&PE.

applyselflearningnode /&% =l Bt e

max_predictions T

randomization HF

scoring_random_seed HT

sort ascending 8 58 S0 R V2 fi i 2 R AR AR
descending

model _reliability tris AU B VIR e AR W R T R AR 1

applysequencenode JEf%

PR ] T AR R AR, IR IR ZFR D applysequencenode, 1ZRRI BN AE HAD &
M. ARG EHBY S E SN ARG R, SR 197 5T 1 sequencenode JEHE: 1 |
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applysvmnode Ei4%

A SVM g8 A i SVM BRI, BRI A ZFR R applysvmnode, 76 345 BT o H S
AHVENE E, HZ 0 203 BUH r svmnode JEPE 1 |

ZE161. applysvmnode J&1E.

applysvmnode [Eff & B
all_probabilities ik
calculate _raw_propensities s
calculate_adjusted propensities i

applystpnode %

STP FEMEHY il DL AR UM SR A R B, IR R A i tH A 7 o P s R . IR R B AR 24 5
applysipnode. G 5T A BATVEANE K, 152 H[E 200 TUE ¢ stpnode EHE ) |

% 162. applystpnode &1

applystpnode &% HiiRER B
uncertainty factor AR ME w/AMEN 0, RN 100,

applytcmnode &%

ISP R AL (TCM) HAETT ] A2 TCM BB, BT B i) AR G ) 24 5 8 applytemnode, 47 K4
SR SRV E, E SR 204 BUH ¢ temnode JETE 1 |

% 163. applytcmnode J&1E

applytcmnode ¥ =1 B
ext_future boolean

ext_future_num B

noise_res boolean

conf_limits boolean

target_fields EZIES

target_series %

applytimeseriesnode /g%

] PP A AR Y e AR R ) R A AR R AR R AR AR A applytimeseriesnode, A6 45
B 5 A VENE B, 550 208 BUAY ¢ timeseriesnode @tk 4 |

& 164. applytimeseriesnode J&TE.

applytimeseriesnode Et ] B iR AA
calculate_conf tridks
calculate residuals ik
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applytreeasnode [Ei%

Tree-AS BRLTT )5 0] T Tree-AS Bl SRS A SR I ZFR R applytreenode, 18 45 HEFTT 55
H 5 A RVEANG E, E S0 210 FHY 1 treeasnode J@PE 1 |

7€ 165. applytreeasnode J& 1k

applytreeasnode 24 & B

calculate_conf trak LS P A R VT SR S A A L

display_rule_id by VRN — A, BREANIdsE
73 B B 1 280 15 AR IR,

sql_generate udf MTTERPATHIE B SQL A= ik T, s

native J& 3 B 72 9f 4 SPSS Modeler Server 1

SriGBL ey (AN E B e T I id B4R 1
Bl e ) BEATVRSy, BUEAE SPSS Modeler 4
PEAY,

applytwostepnode [El%

“RrE A ST TR R B R, IR AR 4 FR R applytwostepnode, VZRERI BT A HAL &
He. AR EEBT A E SHAN AR, W2 HEE 211 5L 1 twostepnode Ja@TE 1 |

applytwostepAS [E%

ZBr AS BB A AT AR B AS BB SRR R A ) 255 applytwostepAS,  BUERIEUR A,
FEMEMEE, A OCHRS @R S E S HANFAE R, 205 212 50 ¢ twostepAS JEtE 1 |
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%15 ¥ HiRERET REL

IBM SPSS Modeler 37455 2 55508 4 1L 0 1 A 45 A2 48 P e A T B4R B, iX 045 Microsoft SQL Server Analy-
sis Services, Oracle Data Mining, IBM  DB2® InfoSphere Warehouse #il IBM Netezza® Analytics, . 0]

LAl IBM SPSS Modeler 57 H A B Kf 2 Fdk R A g OB X JE AT 0, 38 m] DA A 15 4
£ o P 1o G 5 A A A A S AT A B R

fan, DL A UL T andel {5 B IBM SPSS Modeler A2t # 1 €18 Microsoft Decision Trees #5i%1:

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server name", 'localhost')
msbuilder.setPropertyValue("analysis_database name", 'TESTDB')
msbhuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX')
msbuilder.setPropertyValue("custom fields", True)
msbuilder.setPropertyValue("model name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.1inkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql _generate", True)

tablenode.run([])

Microsoft ZEiERT B
Microsoft EiEH S EMH

18 &

Microsoft HCH 4 AT S A LB MU T iR,

& 166. 453t Microsoft 75 j5 )@

2k Microsoft T /B ] B

analysis_database name FLFH Analysis Services £ 1 A 5.

analysis_server_name FAFH Analysis Services LI ZFK,

use_transactional_data prak I 7 i A K R M B R o5 A

inputs EIES FE B 1 A B

target FE W7 (REHTMS B W FHIRE T AR |

unique_field FB KT,

msas_parameters ZitE FEBHL WS EBEE 229 T T RIS HO | THREX
fHE.
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#166. A3t Microsoft TS JEME (45)

2#t Microsoft 5 /Bt =1 B AR
with_drillthrough PR CHEFTER AT BT,
MS PSRt

AN mstreenode AT FUE LEAKENE. S RAT I LIEIER A3 Microsoft J& .
MS EJ

Bl msclusternode MY fUE LA, S HAT I LANAR A3 Microsoft J& 1,
MS IR

PUT R € J@ e m] Fl 2850 msassocnode f475 ki

% 167. msassocnode J&HIE

msassocnode B4 & B4R

id_field FE PRIR I v 1 B I 2 5
trans_inputs EIES 555 B Y A TR
transactional target FE B (F5508) .

MS #hEK DL fl

A K msbayesnode SEAYFY fiE L AARIEYE.  THS AT LA A I Microsoft J@ k.

MS Z& (A I

Al msregressionnode BT fiE LAMEYE, IS AT LA AL Microsoft JE .
MS 2 M 2%

BA J msneuralnetworknode ZRHYAYYY (e LEAKJEME,  HSFAT LAY A4 Microsoft J& 1,
MS Logistic [A] 5

A K mslogisticnode KRIAYTT FUE CRMKIEME. 1S FAT I LA R A3 Microsoft &1,
MS i [H] 5 5]

BA K mstimeseriesnode AU miE LAMKIEN:, S FA T FFLAHA R A 2L Microsoft J& 1,
MS FHIRE

DL J@ AT T35 % mssequenceclusternode i 7 &

% 168. mssequenceclusternode &1k

mssequenceclusternode JEt i1 B

id_field FE& FRiR Hcd v i 4 5 2 45,
input_fields PIES HARUR Y A B
sequence_field FH FPAbRiA,
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£ 168. mssequenceclusternode JETE (££)

mssequenceclusternode JE1t & B AR
target_field FE TS Er (FAEEIR) .
HE5H

B Microsoft i FE L RY R AU A 0 {f ]l msas_parameters J@MRIE B R ESE, N

stream = modeler.script.stream()

msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas_parameters", [["MAXIMUM_INPUT ATTRIBUTES", 255],
["MAXIMUM OUTPUT_ATTRIBUTES", 255]])

RESHIEA SQL Server, EEF RN AAMKSAL, HPATUNF HlE:
iR CI LR SN ONT G

FTIRZ R I AL

ELHRIR T 812 b i i — A R,

MRBFRINR PR —DAE,

A BRRE DL 5 P % 00 A Y A

B A5 H HL R YRR Microsoft e 22 EAR 1Y .

T He e A7 A

HEHFEREI R,

Bl 2 R4 TS SR msas_parameters Jaf,

Microsoft 1EAIt E 14
i il Microsoft %4 e 2 #5545 i B p A A B B 41 Jg 1k

A o

MS P

#169. MS B,

applymstreenode &% & R

analysis_database_name FAFH AT LUE AL P e Y s AT PR
BEJE M FHFARIR Analysis Services % e Y & FR.

analysis_server_name FIFE Analysis Il 55 %% FHLH &R,

datasource FrFE SQL Server ODBC #(#&1i 8 (DSN) HYJ £ FK.

sql_generate S JiH SQL AR

MS 2t [m] I

#170. MS ZeVE R T 1.

applymsregressionnode [ =] ik

analysis_database_name FrFHh AT DA HAE I PO T AT PR AT
R M A F AR Analysis Services i e Y £ K.

analysis_server_name FAFH Analysis [z 58 EVLHY 245K,

MS #2502

515 B OBR BT AR
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F171. MS #HE P2 g PE.

applymsneuralnetworknode E[4 =] Ak

analysis_database_name FArF A DUE AR PO B AT
Mg M TARIN Analysis Services B % 1Y 44 7%,

analysis_server_name FIFER Analysis I 55 &% FHLH &R,

MS Logistic [A] 4
# 172. MS Logistic [a]J7Jg1E.

applymslogisticnode Eff =] ik

analysis_database_name FF AT DA A o T SR AT VR4
g T 718 Analysis Services #2124 7%,

analysis_server_name FIF Analysis 55 #% EHLT ZFR,

MS B [a] 751
2 173. MS [if[a] 751 g HE.

applymstimeseriesnode [Eff =l H#id
analysis_database_name FrH AT DL AR I X 1S R AT
MJEHE M THA51R Analysis Services R 11 2 FK.
analysis_server name T Analysis e 5 LI 25K,
start_from new_prediction R T HEAT AR SR U 2 g 52 Pt
historical_
prediction
new_step piea SE SR TITI (4 TF 4 ek [R] B
historical_step #F SE S SN Y T AR [E] B
end_step H¥F SE SCTIIN £ AR T B,
MS JFHIERFE
K 174. MS JFIIRKIGIE.
applymssequenceclusternode 1% =] R
analysis_database_name Fr# ] RLE ARG X I AT
UEJE I TARIN Analysis Services % % () 4475,
analysis_server_name T Analysis fI 55 & AL 255,

Oracle BEERKT B
Oracle ZET AR K

Oracle $dfs 2 @ AL 55 A SL @ M F s,

#175. 483t Oracle 75 /5B 1E.

A4t Oracle 5 &EM &

ek abk

target FE
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% 175. 453t Oracle 355 @ ME (48).

A3t Oracle =B =] B

inputs FEIIIE

partition S eIl R T K B 7 KO AR AR, DL T R AL 11
YIZR, Fa T AR E R B

datasource

username

password

epassword

use_model_name trk

model_name FFE BRI ) S T A4 PR

use_partitioned data trids 2R E SCT e R B, D e AT A R AT 5 03 DX
P P T AL AR,

unique_field FE

auto_data_prep frk JAMEZEA] Oracle B sh#lEHERIIRE ((UEMT 11g %
) .

costs ittt W NN E R AL
[[drugA drugB 1.5] [drugA drugC 2.1]], Hr []
A T A% o S T AR

mode Simple WEAA T RUBYETRTERROAORE, WPRIEE N Simple,

Expert B AN F A fE

use_prediction_probability s

prediction_probability FIT

use _prediction_set i

Oracle Fhz D13

KT oranbnode [T AW HEYELN T s

% 176. oranbnode J&TE.

oranbnode Ef% ' B4R
singleton_threshold HF 0.0-1.0.%
pairwise_threshold HF 0.0-1.0.*
priors Data

Equal

Custom
custom_priors Hithtt A A B 5 4 A T -

set :oranbnode.custom_priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* N mode BEE M Simple, NIZHE M,

Oracle Adaptive Bayes

ZAIKy oraabnnode [T &1 AT B MEANT i s
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Z£ 177, oraabnnode |&1E.

oraabnnode [Elt & Bt AR
model_type SingleFeature
MultiFeature
NaiveBayes
use_execution_time_limit W *
execution_time_limit ki34 HLHRT 0, *
max_naive_bayes_predictors B HBHIRT 0, *
max_predictors ki34 EHLHKRT 0, *
priors Data
Equal
Custom
custom_priors Byl e AT B £ H AL R
set :oraabnnode.custom priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4][drugY 5]]

* N mode BEE N Simple, WZBE M,
Oracle ¥ f] &AL
AN orasvmnode (175 A5 AT I PR G0 R B

F178. orasvmnode &1k,

orasvmnode JE (=] B4R
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

minmax

none
kernel cache size e GE M T E BN ELHRT 0, *
convergence_tolerance BT EHLHART 0, *
use_standard_deviation R fGE S m i, =+
standard_deviation T HBHART 0, *
use_epsilon trik A T B AR,
epsilon T EHLART 0, *
use_complexity factor i *
complexity factor HF *
use_outlier rate trik S T B2 i, *
outlier_rate W {8 T2, 0.0-1.0.%
weights Data

Equal

Custom
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% 178. orasvmnode JEVE (£E).

orasvmnode % & et et
custom weights Eagokla 6 AN A S5 A AL S

set :orasvmnode.custom weights =
[[drugA 1][drugB 2] [drugC 3] [drugX
4] [drugY 5]]

* WA mode Ay Simple, NIZMEEME,

Oracle |~ L £ MR

KAL) oraglmnode AT HY w] FJE MEAN T B 7m:

2 179. oraglmnode J&@1t.

oraglmnode JEi% ] B
normalization_method zscore

minmax

none
missing_value_handling ReplacelithMean

UseCompleteRecords
use_row_weights ik *
row_weights_field FE &
save_row_diagnostics trds *
row_diagnostics_table FrFE &
coefficient_confidence HF *
use_reference_category ik *
reference_category FIF *
ridge_regression Auto *

off

On
parameter value HF *
vif_for_ridge i *
* Q2R mode 1 E N Simple, UIZMEEE.
Oracle KR}
A% oradecisiontreenode (175 5 19 w] A ML U R Fr/R:
F 180. oradecisiontreenode JEE.
oradecisiontreenode JE (=] B4R
use_costs trids
impurity metric & (Entropy)

Gini
term max_depth f2378 2-20.%
term minpct_node HF 0.0-10.0.*
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% 180. oradecisiontreenode JEVE (%E).

oradecisiontreenode /B4 ] B4R
term minpct_split HF 0.0-20.0.*
term_minrec_node Fi1334 HLART 0, *
term minrec_split 37 HBHRT 0, *
display_rule_ids Rk *

* IR mode & A Simple, NIZu&JEME.

Oracle O-Cluster

5/ oraoclusternode (1) 550 W] g M 20 R B i

# 181. oraoclusternode JE1E.

oraoclusternode % (] BHEIRER
max_num_clusters Ei1S34 ELART 0.
max_buffer B HLHRT 0, *
sensitivity 7 0.0-1.0.%
* 04 mode P E K Simple, D ZME &,
Oracle KMeans
A7) orakmeansnode 7 A AT A& M AN TR
# 182. orakmeansnode J&TE.
orakmeansnode JEf# (=) IR
num_clusters R EHBHKT 0.
normalization_method zscore
mi nmax
none
distance_function Euclidean
Cosine
iterations A 0-20.*
conv_tolerance B 0.0-0.5.%*
split_criterion Variance B4 (N Variance, *
Size
num_bins B HLAHKRT 0, *
bTock_growth B 1-5.%
min_pct_attr support 0T 0.0-1.0.*

* I mode & E A Simple, NIZHEEME.

Oracle NMF
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HH 5k oranmfnode [ 5 (0 AT L 41 R T

% 183. oranmfnode J@1E.

oranmfnode Bt & EMILAA
normalization_method minmax

none
use_num_features trid *
num_features I 0-1. G {Eph B R MR (A . %
random_seed HF &
num_iterations [%54 0-500.*
conv_tolerance T 0.0-0.5.%
display_all_features tris *
* AR mode X E A Simple, MIZmEJEIE.
Oracle Apriori
A1)y oraapriorinode YT sl A B HEANT B n:
£ 184. oraapriorinode J&1t.
oraapriorinode &M ] Bt AR
content_field FE
id_field FE
max_rule_length A 2-20.
min_confidence HF 0.0-1.0,
min_support T 0.0-1.0,
use_transactional data iz

Oracle f/MER K E (MDL)

BoA My oramdTnode [ miE LERE M, THS AT I EAIE A Oracle JETE.

Oracle JgPEE E M (AD

FAIH oraainode AT S A FHEPEUNT P R:

% 185. oraainode JETE.

ImportanceValue
TopN

oraainode /Bt =] B AR

custom_fields tris Wy true, W FRIFER Y AT SIEE HAR, S AFHAD
FB. Ry false, WM IR E BRI R4 AT
H.

selection_mode ImportanceLevel

select_important s 1E selection_mode ¥ & Importancelevel I, F57&
e TR,
important_label FAFH A H B RR A BR A
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# 185. oraainode JEVE (£E).

oraainode B & B

select_marginal tri 1E selection_mode ¥ # N Importancelevel I, F57&
/LN F R,

marginal_label Frf T8 PR HERR AR 2.

important_above HF 0.0-1.0,

select_unimportant s 1E selection_mode X~ Importancelevel WY, F57&
e AT,

unimportant_label FITH 88 AN EEHERR AR A

unimportant_below HF 0.0-1.0,

importance_value BT 1E selection_mode ¥ 'E A ImportanceValue I}, F57&
B AME. B2 0 B 100 fYE.

top_n T 1E selection mode ¥ & & TopN B, 8 il A4 A

B, %M 0 F 1000 MI{H.

Oracle #HZVHLEMH

i/l Oracle BLHLGE F R P B A T 51 @ik,

Oracle fh&E DL

WA A applyoranbnode ZEHY [T 5 KR M,

Oracle Adaptive Bayes

WA A applyoraabnnode ZEHIT i AR M,

Oracle ¥ Ff[a] &AL

WA N applyorasvmnode ZEHYAY Y o CHARJE 1.

Oracle {3

25# % applyoradecisiontreenode W7 SRR HJE U T B w:

2 186. applyoradecisiontreenode )&t

applyoradecisiontreenode &M% (=] g btz
use_costs i
display_rule_ids Yy

Oracle O-Cluster

%A N applyoraoclusternode ST AT g L HAKJE 1.

Oracle KMeans

WA applyorakmeansnode YT i AR R M,

Oracle NMF
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THEME T applyoranmfnode 2514 ¢

% 187. applyoranmfnode &

applyoranmfnode JE14

(=)

B

display_all_features

tri

Oracle Apriori
I HORRE R, T AR
Oracle MDL

VRPN RE R T A,

IBM DB2 ZiEF =B

IBM DB2 ZiEH SEH

IBM InfoSphere Warehouse (ISW) %k 28 A6 17 55 19 A L@ AN T i w.

72188, AL ISW TP AR

pIt ISW T SEM (=l B RR
inputs FEIM I

datasource

username

password

epassword

enable_power_options i
power_options_max_memory Ei1230 EHBHRT 32,
power_options_cmdline FRF
mining_data_custom_sql TR

Togical data_custom_sq]l FrF

mining_settings_custom_sql

ISW He S

2Ky db2imtreenode [T s BT HJEYELT T BT 7s:

% 189. db2imtreenode JETE.

db2imtreenode EM =} EEat X

target FE

perform_test run s

use_max_tree_depth ik

max_tree_depth k534 KT 0 HIMH.
use_maximum_purity i

maximum_purity BT T 0 5 100 ZE A5,
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% 189. db2imtreenode JEPE (%E).

db2imtreenode JE% & et et

use_minimum_internal cases Vi

minimum_internal_cases 155 KT 1 1A,

use_costs i

costs Zitfe T AN 454 Ak Ja 1
[[drugA drugB 1.5] [drugA drugC 2.1]1]1, H [1 FIE
75 2 S T FUAR

ISW Bk

2% db2imassocnode FYT & i AT @ M0 R BT R
# 190. db2imassocnode J&1E.

db2imassocnode JEM¥ & B AR
use_transactional data iz
id_field FE
content_field FE
data_table_Tayout basic
limited_length
max_rule_size B HVHKT 2.
min_rule_support HF 0-100%
min_rule_confidence HF 0-100%
use_item_constraints i
item_constraints_type BiE
Exclude
use_taxonomy Vv
taxonomy_table_name T A LR (G B DB2 RAY & 7R,
taxonomy_child_column_name T FARERPFINAFE. T ELE AT 4.
taxonomy_parent_column_name TR AR AT AFR. I EEKGA.
Toad_taxonomy_to_table tris P21 Y AL AR IBM SPSS Modeler HH7EA# 11 4
KEFERE LR EEER, WHEER, WERSEERCEF
1, WK HEFE, IR E BRI srp, W]
DIGET SREBZEA M HRIBH L HH AT dm b,

ISW &4

A4 db2imsequencenode fY T ALY AT A @ HE LN T Firw:

£ 191. db2imsequencenode )& 1t.

db2imsequencenode JEfE & Bt A
id_field FE
group_field FEB

content_field FE

Fic3 4

max_rule_size

EMART 2.
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£ 191. db2imsequencenode JETE (%E).

db2imsequencenode Bt il JEMIAA
min_rule_support HF 0-100%
min_rule_confidence HF 0-100%
use_item constraints Vi
item_constraints_type BiE
Exclude
use_taxonomy iz
taxonomy_table_name TR i EE RN fE B DB2 R & 7R,
taxonomy_child_column_name FRF e IPRERDPFIINAIR.  EFIIEEIE #2830 4.
taxonomy_parent_column_name TR IFRERPRII TR, ELIN &R,
Toad_taxonomy_to_table iz R N AEAS B K IBM SPSS Modeler HHA7EAif 1 7

RiLfGR LB IGEE, WERE, WRPIERCET
fE, WSKEEF.  2REME A HEEBRA R Grh,
LA 4RiE2el M 4Rigsy2ein 1t irdnis.

ISW 5] 15

KAy db2imregnode HY-Y kA R R MELN T B

£ 192. db2imregnode JHTE.

db2imregnode [Ef¥ =] B

target FE

regression_method transform WERETER, PLTHIY regression_method % E N rbf
Tinear A 38 FHA SR
polynomial
rbf

perform_test run FE

Timit_rsquared_value Rk

max_rsquared_value T T 00 5 1.0 Z[AIMHE,

use_execution_time_limit i

execution_time_limit_mins 330 KT 0 14,

use_max_degree_polynomial trik

max_degree_polynomial B

use_intercept trik

use_auto_feature_selection method | f5ds

auto_feature_selection_method normal
adjusted

use_min_significance level i

min_significance_level HF

use_min_significance_level ik

THgEt RAFE regression_method % E A rbf B A& .
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£ 193. db2imregnode JHIE (UIF regression_method X &y rbf) .

db2imregnode J& {4 L JE PR
use output_sample size tris WK true, APAHKHEH Sk & HAGE.
output_sample_size HH A 2.
R/MER 1,
use_input_sample_size PRk R K true, AAHHEH Shik & AREE,
input_sample_size = BAEE 2,
R/MER 1,
use_max_num_centers trik WA true, AE2KHEE shik B AEAHE.
max_num_centers B BAEE 20,
R/MER 1,
use_min_region_size b WARR true, AR2RHEE Shik BN ERE .
min_region_size B8 BRAEEZ 15,
R/MER 1,
use_max_data_passes i WRA tue, ISAKEE K E HELAE,
max_data_passes 23 AEE N S,
R/MER 2,
use_min_data_passes trik WARR true, AR2KHEE Shik B ERE .
min_data_passes k1330 BRAEE R S,
/MER 2,
ISW H2&
274 db2imclusternode {75 & 10 AT @ MU0 s
% 194. db2imclusternode J&TE.
db2imclusternode JEf% (=) iR
cluster_method demographic
kohonen
birch
kohonen_num_rows B
kohonen_num_columns E2374
kohonen_passes B
use_num_passes_limit Rk
use_num clusters_limit i
max_num_clusters B KT 1 HYMH.
birch_dist _measure Tog_likelihood B8 fE A log_likelihood,
euclidean
birch_num_cfleaves B A2 1000,
birch_num_refine_passes Ei3 HAEEA 3; R/AMER 1,
use_execution_time_Timit s
execution_time limit_mins E2 KT 0 M4,
min_data_percentage HF 0-100%
use_similarity_threshold ik
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% 194. db2imclusternode JETE (4E).

db2imclusternode E4

B

similarity_threshold

T 00 5 1.0 Z[alf{A.

ISW A& DL it-Hr

FH1% db2imnbsnode YT LY A] FJE PR AN T BT 7i:

% 195. db2imnbnode J& 1.

db2imnbnode B4 =} EEal A
perform_test_run ik
probability threshold HF B (E 2 0.001,
B/AMEN 0; FRfEN 1.000
use_costs trds
costs Eegokla TE AN A S5 AL Jm Pk

[[drugA drugB 1.5] [drugA drugC 2.1]], Ht [] #HY
A% et SRR T A AR

ISW Logistic [A] 5

KA db2imlognode A5 kA ] R PELN T B 7

7 196. db2imlognode J&H1E.

db2imlognode B4 ] Bt A
perform_test_run Yy

use_costs i

costs ittt T AN 454 Ak J 1

[[drugA drugB 1.5] [drugA drugC 2.111, Hr [1 i
A S B T A

ISW [} [8] 541

It WMATESECRAT I A, R AP RE AT B S8, WA -8, SWNZ A A H

AR NIEAT B, ERAMATE.

HKHHy db2imtimeseriesnode (1975 s B AT @MU F Fr 7

% 197. db2imtimeseriesnode J&1E.

db2imtimeseriesnode JE 1=} B4R

time FE FVFEREL I EH 8.
targets FEM I

forecasting_algorithm arima

exponential_
smoothing

decomposition

seasonal_trend_
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% 197. db2imtimeseriesnode JEME (£E).

db2imtimeseriesnode /BT ] B R
forecasting_end_time auto

integer

date

time
use_records_all i IR 1E IR, W% 'E use_records_start

F1 use_records_end,

use_records_start FEHyit [l H Y BT I 1) - B il 2 1Y
use_records_end BRI [l H BT isF 1] 2 B ry 2 Y
interpolation_method none

linear

exponential_splines

cubic_splines

IBM DB2 #EEHREE
f§Ffl IBM DB2 ISW AU QIR GBI B T SR b

ISW He e
WA A applydb2imtreenode ZEHYF)T i L HAKEME,
ISW XHE

PR HORRE R T AR

ISW 74

2 EE A NG AVAE N

ISW [a]15

WA A applydb2imregnode ZH [ 5 SCEAR R TE.
ISW %

WA H applydb2imclusternode ZSHU [y i L EAK @ M.
ISW 13 DU

BEA 9 applydb2imnbnode MY 1Y fi5E LR AR JEHE.
ISW Logistic [a 1

%A N applydb2imlognode 2EHIAYY i L EL MA@ M.
ISW B [H] /7371

PR PR RE R T A,
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IBM Netezza Analytics ZE#&+ SE M

Netezza EHET HEM

IBM Netezza #3545 s 10 A L@ Pt~ s,

72198, s dE Netezza 15 15 & HE.

Nt Netezza T EJEHE

=}

B AR

custom_fields

triE

WERg true, WISCVFEON LRI GEE B AR, AN AT
B, Uy false, JUGE AR E BB AHY AT A,

inputs [field] ... fieldN] ASETRY il ) i A BT A o B
target FE HinsB (EZEmEK) .
record_id T BEVEME — 10 AR IR 5= B
use_upstream connection trd WA true (B4, IRAHERVEHE BAE LI sH 4R
E. TEFEE T move data to_connection HfR{# A,
move_data_connection trds WEN true, MLKBAEFENEIH connection 55 1Y%
i, fEF5E T use_upstream connection I Af{ifi i,
connection Zithtt XIEH T AR Netezza s ERVIER TR . MK
W B AL
["odbc' '<dsn>' '<username>' '<psw>' '<catname>'
'<conn_attribs>' [true|false]]
Hor:
<dsn> & EHE IR A PR
<username> FlI <psw> J&f 1 HI T 4RI D
<catname> & H & &5
<conn_attribs> JEEHEEME
true | false F§/m /& 757 Z# A0,
table_name T X2 T A G R Y ) il 12 R A 44 7
use_model_name trid R K true, i il model name #55E M ZFRVE BRI 4
Fr, AR RGN BT 255,
model_name T B Y 2 T A4 K.
include_input_fields tris WRN e, [ FIHAEEITEATE, &MU G >

H R record id FIFEL

Netezza L5

1% netezzadectreenode [ & (T @ M40 T BT R

F£199. netezzadectreenode |B1E.

netezzadectreenode /Bt & Bt AR
impurity measure & (Entropy) XA, TR Y SR
Gini (A
max_tree_depth R BRI DI B e R Ong. AN
62 (FKWREME) .
min_improvement splits 7 HEAT 23 EHIT A 75005 JE 1) 5 A 2% o Bl i

BAEE S 0.01.
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% 199. netezzadectreenode JEVE (£E).

netezzadectreenode /Bt ] B4R
min_instances_split E 1374 AT DLEAT 23 BT AR N B /N2 R0 %
. B 2 ChR/halRgfE) .
weights it HAEMANE, AT RS
Jak:
set :netezza_dectree.weights =
[[drugA 0.3][drugB 0.6]]
A TEOLE A RHARER N 1,
pruning_measure Acc Beg -l Ace (HERME) . INSREAERN
wAcc FIME BT K AL H T EAE N, WA

wAcc (MBURERAE ) B AR,

prune_tree_options

allTrainingData

partitionTrainingData

BT, {4/ allTrainingData 3£
A VF 5 R ORG 4f B it
partitionTrainingData 45 & ZfHf il

useOtherTable
R E SR, 5 useOtherTable 3k
T P 4 50 E 2R A N 2R a4
perc_training_data HF fif prune_tree_options KHE N
partitionTrainingData, N4§EH T
WIZRA R BT o5 1 E 23 L.
prune_seed 257 fE prune_tree_options WH N
partitionTrainingData i}, FFHEE 4>
s REEILFNT, BEERE 1.
pruning_table FrF TR T A VT A TR B B ) R A B
P B R 44T,
compute_probabilities & WA rue, AB2KE AR NCE 15 R

(BER) FBLL i B,

Netezza K-Means

A K netezzakmeansnode B FT A A A @M R T s

2% 200. netezzakmeansnode JEVE.

netezzakmeansnode JE4% & et et
distance_measure Euclidean 3 S8 P Bt A5 2 T ) 8 A7 I 1) ik
Manhattan
Canberra
maximum
num_clusters B TOERMREEG EER 3.
max_1iterations k534 AR, BRRNZGTEI 2 a1k, BAEE R 5.
rand_seed 2 XIEMTE s R LR B 12345,

Netezza Bayes %%

HH K netezzabayesnode Y1 & KA @ MELAN T T 7R:
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£ 201. netezzabayesnode J&TE.

netezzabayesnode B4 B

B

base_index k334

X — A AT B E BT AR, T AT R B
BN 777,

nn-neighbors

sample_size B JE PR H R H ORI A RAE R/, B E R 10,000,

display_additional_information trid WA true, WFET BT TETE H WoR MY 3E L B

type_of prediction best LA TN AR 2T best (FAHICHIAHSRE ) . neigh-
neighbors bors ( FHABME I AIAL TN ) B nn-neighbors (3EZSFHAT(E ) .

Netezza fpMZ D14

A% netezzanaivebayesnode (175 &K AT @ M A0 T T R

2 202. netezzanaivebayesnode J& .

netezzanaivebayesnode B il

B

compute_probabilities Vi

AR true, AP2KAE A BEGOH (R ) 7B Ll Rt
TE.

use_m_estimation ks

WA tue, NI H m-estimation $7 A DL G A 53071 1) &
KL,

Netezza KNN

HH Sk netezzaknnnode 147 5 14 AT R M 0 R T R

#203. netezzaknnnode J&1VE.

netezzaknnnode &% & R
weights ey gla ORI T XA KA e E g, Rl
set :netezzaknnnode.weights = [[drugA 0.3] [drugB 0.6]]
distance_measure Euclidean T2 P o0 AR A5 2 T 1) 8 A A7 S ) ik,
Manhattan
Canberra
Maximum
num_nearest_neighbors BH FrE N RIRITALRTTREG AR 3,
standardize_measurements trk WA true, IEATEVHE BB 1, X %Sk A7 B
i (A TARE L.
use_coresets trik MRy ue,  TUXF R HHE G20 AL O RAE LR = TSR
BE,

Netezza 43230882k

A% netezzadivclusternode (175 &4 AT @ M40 F 7
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Z£ 204. netezzadivclusternode |B1E.

netezzadivclusternode /it & B AR
distance_measure Euclidean X T X R A R A B AT e Y
Manhattan
Canberra
Maximum
max_iterations B TERBIYNZR A IR AT PAT R B R S R, B[ 5.
max_tree_depth B A DU B SRR 0 R RGO, BRAE TR 3.
rand_seed B BEPLM -, TR HI A BE R 12345,
min_instances_split B A RAIR I R/ MO SR AL, BREE R S,
Tevel B BORIC RV BB IRE WP, A EA -1,

Netezza PCA

KA netezzapcanode [ ST FJEMEUNR T R

2 205. netezzapcanode J&ETE.

netezzapcanode [Eff il B

center_data trk ARy wee (BAEME) , IASEPITEIRSES (B RFY
28, RIEEITo .

perform_data_scaling tis WA true, IBATESFHIRTHATEI RS, XA AT DI
DA [e S 0t S [] A% ek sf £9) 43 BT A R

force_eigensolve PRk ARy true, DU PR R HESH (BRI Jr ke A 40 3 A7

pc_number BH BLR RO R B 1 R B B 1L

Netezza [0] 544

HKHAIK netezzaregtreenode YT s A] R MR R P 7R:

2 206. netezzaregtreenode )&t

netezzaregtreenode B4 =l B
max_tree_depth = P AE AR 55 R T DL 2 /Y B R 2R
K BRAEEA 10,
split_evaluation measure Variance oG, T VRAL 2 HIA Y R A A
B, B (CHHTME— L) 2 Vari-
ance,
min_improvement_splits 7 TERS b EAT BT 20 BT R A sl 2D 21 FY
/R
min_instances_split 354 A RLFR I 18 e/ ML SREL
pruning_measure mse B A& 5 5 ik
r2
pearson
spearman
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2 206. netezzaregtreenode JHPE (45).

netezzaregtreenode Bt =1 B
prune_tree options allTrainingData AWM, H allTrainingData 3
partitionTrainingData Al v B RS B R, i H
useOtherTable partitionTrainingData 345 & Zff il
ZRAETE 20, B0 useOtherTable 3k
i FRIR B 4 2 HioH e 3R A N 2R 4R
perc_training_data 7 2R prune_tree_options HE N
PercTrainingData, W35 5E AT I
Bdlg B i 1 2 L.
prune_seed R fE prune_tree_options WHN
PercTrainingData i, FTE&E ik
REEEYLRN T, SREEE 1,
pruning_table T H X JE T Al VT ARG 6 32 1) SRl 4 BT 8K
PRy R TR,
compute_probabilities Frds R true, WIFEE N 1% 035 4 fi A
A6 2 251 22,

Netezza ZVE[R]H

Al netezzalineregressionnode (1) &5 4 Al i@ M40~ ff 7

£ 207. netezzalineregressionnode J& k.

netezzalineregressionnode &4 =1 B

use_svd trdk WAy true, WU A SR o0 A0 HE AR TR AR A0, DME
include_intercept tris WIRK rue (BEME) , ISR S MEOTEARAERIE,
calculate model diagnostics trk WA wue, NWXTHRIFEIZHE S,

Netezza I [A] 541

AN netezzatimeseriesnode F{T & A4 AT @ M40 R BT /e

% 208. netezzatimeseriesnode J&E.

netezzatimeseriesnode Bt (=] B4R

time_points T8 s A BB s R S0 ) H 3 s
(R

time_series_ids FH Bk A 7 Bt S ) SRR, TERA
55 2N [R] 7 51,

model_table FE XJE T AP0 Netezza B[R] S #5171

description_table FE X 0 5 I [ 7 71 4% R M ok 11 i A 3%
SR

seasonal_adjustment_table FE KRR AR, ER TR

FRBCE I B M AR AR
42 R HE (.
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% 208. netezzatimeseriesnode JBEPE (4£E).

netezzatimeseriesnode it

=}

e

algorithm name

SpectralAnalysis & spectral
ExponentialSmoothing =f esmoothing
ARIMA

SeasonalTrendDecomposition & std

RS2 FH T I [R] e AR A A kL

trend_name N BRCT- 1 e ST
A N- TG
DA A - itk
M DA - ZEJ
DM M- etk
DM - R IE
seasonality type N FRECE 1Y 2 2R AL
A N - TG
M A - T
M- ek
interpolation_method Tinear B A T,
cubicspline
exponentialspline
timerange_setting SD AT 8 B s ] el
SP SD - H AGefE (I A 5150 1
SERETE )
SP - MiEid earliest _time il
latest_time $5%&
earliest_time 2 IF U fE A0 &5 H(E 2R
latest time H timerange_setting & SP) .
- it 1] He R 06 time_points ff,
timestamp Fan, W time_points FEEAEH

W, M E b RI%EH B,

A l:

set NZ_DT1.timerange_setting = 'SP’
set NZ_DTl.earliest_time = '1921-
01-01"

set NZ_DTl.latest_time = '2121-01-
01"
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% 208. netezzatimeseriesnode JEPE (4E).

netezzatimeseriesnode it

EEa A

arima_setting

SD
SP

MFT&AE ARIMA Hik (X34
algorithm name ¥ E & ARIMA A ff
M)

SD - HIRGHIE

SP - HAHEE

s arima_setting = SP, iff# i F%1
ZHRRBCEFTEEMNAEFTRE. R
Bl (AR )

set NZ_DT1l.algorithm_name = 'arima’
set NZ_DTl.arima_setting = 'SP’
set NZ_DT1.p_symbol = 'lesseq'

set NZ_DTl.p = '4'

set NZ_DT1.d_symbol = 'lesseq'

set NZ_DTl.d = '2'

set NZ_DT1l.q_symbol = 'lesseq'

set NZ_DTl.q = '4'

p_symbol

d_symbol

q_symbol

sp_symbol

sd_symbol

sq_symbol

less

€q
lesseq

ARIMA - 2% p. d. q. sp. sd il sq
His AT

less - /T

eq - T

lesseq - /NT LT

p

ARIMA - B3R IEE IR L.

q

bics34

ARIMA - JEFT5 R4 (H,

d

ARIMA - BUHH 08 3 RS 2 7
T

sp

Fics4

ARIMA - H 3R TR,

5q

bizs /4

ARIMA - ZE{iPEIRAE (.

sd

b3

ARIMA - BRI )RS ST SR 3T 4
{ERT T EOH

advanced_setting

SD
SP

i 5 AT Ak B v i

SD - ARG E

SP - i H/liT period, units_period
FI forecast_setting F57E.

N

set NZ_DTl.advanced_setting = 'SP’
set NZ_DTl.period = 5

set NZ_DTl.units_period = 'd'

period

ZH AWK E, 5 units_period —
AR E. AT
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% 208. netezzatimeseriesnode JBEPE (4£E).

netezzatimeseriesnode Bt ] B
units_period ms period [/ HAL:

s ms - ZFfp

min s - b

h min - 44

d h - /N

wk d-H

q wk - F

y q- FE

y - 4

Fan, xR EF A, X period
ffif 1, FEXF units_period ffi i wk,

forecast_setting

forecasthorizon

O AN AT T,

forecasttimes
forecast_horizon = mAE  forecast_setting =
H # forecasthorizon, HAR-AFEE WML R
st ] HUE.
5[] &1l # N HAE time_points {H.
wan, Wk time _points FERAH
W, B2 (B 1252 H .
forecast_times [19754 o 1 forecast_setting =
H 1 forecasttimes, IA+$5E M THATH
Fif 1] M E.
timestamp kN BE0E time_points {H.
fitn, Wk time_points FEIU & H
B, B2 WY % H O,
include_history tris BN A o R B AR TR R b
include_interpolated_values tri R R S E A e b, 2R

include_history & false, MA@,

Netezza |~ N 2%

KM netezzaglmnode f)35 LAY AT HUE LU B 7k:

2£209. netezza GLM J&1E.

negativebinomial
wald

netezzaglmnode [Eff =1 BB

dist_family bernoulli IARTY; BASEN bernoulli,
gaussian
poisson

gamma
dist_params e BN SEUE. XY distribu-

tion & Negativebinomial B A& H.
trials [1954 X4 distribution & Binomial WA

L 24 H bR R & A — A B
M5, target FRIALE AL
trials FEAE I
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2 209. netezza GLM J&aE (4E).

netezzaglmnode /B L] B

model_table FB X AT AE4# Netezza |~ L ZR LRI (Y

maxit 23 R AT I B KR B R
20,

eps BF fEEmARIREME (IR #I0 Bk %
), KBNS, BRI AE LA R
ELRCEERY, SRS -3, XER
1E-3, Bl 0.001,

tol HF WEAHE (HBRARRE) , KT IGE
T IRESGM N 0 ., B EHR
-7, BRIREMAMRT 1E-7 (FH
0.0000001) , U AR R,

Tink_func identity BLE AL R AL BREEY Togit,

inverse

invnegative
invsquare
sqrt

power
oddspower
log

clog

loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom
cannegbinom

1ink_params

L&

AR B SEME, Y
1ink_function & power & oddspower

I A8 .

interaction

[[[colnamesl],[levelsl]],
[[colnames2],[levels2]],
....,[[colnamesN],[levelsN]],]

TEEFERZIMAE Y.,  colnames 5 A
FRMHIE, Wi level X THANFEMH
&0,

ol
[[[IIKII’IIBPII’IISeXII,IIKII]’[0’0’0’0]]’
[["Age","Na"], [0,0]]]

intercept

ik

WA true, WIAERE AP FE R,
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Netezza #EEIHLE 4
Netezza FUHE AR B 19 A S J8 P 1 R Fr R,

# 210. 2Ht Netezza MAIHE I

B Netezza #AMLE M & B
x

connection FAFH BT AR Netezza $iH & TAF .
table_name FITEH XS T A7 B0 1) $HE PR R 1) 24 K.

A AT Bl Jeg 5 A0 B2 1Y A5 SR A A [

R ER ( BAS ZFR A0 R PR,
7 211. Netezza WL PIA 2 F5

REIR IR ZFR

LA applynetezzadectreenode
K-Means applynetezzakmeansnode

DL H ) 2% applynetezzabayesnode

FNER DL applynetezzanaivebayesnode
KNN applynetezzaknnnode
FHARE applynetezzadivclusternode
PCA applynetezzapcanode

EYEEE) applynetezzaregtreenode
etk 14 applynetezzalineregressionnode
B a] 731 applynetezzatimeseriesnode
IR applynetezzaglmnode
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% 16 E T BN

K 9 LR S S A SR A R S A R, Y U P AR S Y A, TR A 0T X
KT, AR AP P U I BB N RS R R A .

A0 i Y P B AS 2 o 1

analysisnode &%

- I RS AR Y AR SO R BTN RE 0. <A 3 AT — A s A BB B B (A SR
m (A TN DRSS e s S X VI ED R T B D2 o s b 2RI

il

node = stream.create("analysis", "My node")

# "Analysis" tab

node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve accuracy", 3)
node.setPropertyValue("inc_user measure", True)

# "Define User Measure..."
node.setPropertyValue("user_if", "@TARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user _else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by fields", ["Drug"])

# "Output" tab

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/analysis_out.html")

% 212. analysisnode JHTE.

analysisnode B HiRRR EtiR A
output_mode =2 JHT 48 R M 5 5 e A B s R
File FARLE.
use_output_name flag 858 A B 2 SR 4,
output_name T I use_output_name HE, WHEE
i B4 24 K.
output_format SLA (xr) JHT 8 & i 1 287,
HTML (.html)
it (.cou
by fields bk
full_filename TR ARG, B IEE HTML i,
D)4 T i i S S R 44 PR
coincidence trds
performance i
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£ 212. analysisnode JETE (£E).

analysisnode % HiExd BiRER
evaluation_binary Vi

confidence s

threshold HF

improve_accuracy 7

inc_user measure iz

user_if F. Sy

user_then Fh =

user_else F. Sy

user_compute [Mean Sum Min Max SDev]

dataauditnode El4

— SHCRR SO AT AT RCR, SRR (3 T BT B O A B
BRBIBL, GORERMBAGE, & RERAES TR b, R T BLAEFE 3 FLAT LA
TR AR 7 5

il

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("dataaudit", "My node", 196, 100)
stream.link(filenode, node)
node.setPropertyValue("custom _fields", True)
node.setPropertyValue("fields", ["Age", "Na", "K"])
node.setPropertyValue("display_graphs", True)
node.setPropertyValue("basic_stats", True)
node.setPropertyValue("advanced_stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier _detection method", "std")
node.setPropertyValue("outlier detection std outlier", 1.0)
node.setPropertyValue("outlier_detection_std_extreme", 3.0)
node.setPropertyValue("output_mode", "Screen")

% 213. dataauditnode & TE.

dataauditnode /Bt YRR B AR

custom_fields i

fields [field] .. fieldN]

overlay FEB

display_graphs PRk FT T RS A i 4 b KB Y
N,

basic_stats trik

advanced_stats trak

median_stats tr
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% 213. dataauditnode JEVE (£E).

dataauditnode JE% £S5 6l B A
calculate T4 (Count) T HEBRAE, MM R
Breakdown WP — L IR, BUORIEEE,
outlier_detection_method std JHTH8 2 25 (8 AR (5 A I 7 1%,
iqr
outlier detection_std outlier HF 4 outlier_detection_method J&
std, ABATEE T & SR REE 1%L
{H.
outlier_detection_std_extreme HF iR outlier_detection_method f&
std, R4t E M T & R AE I 5L
fH.
outlier_detection_iqr_outlier HF A outlier detection method J&
iqr, ABA4EE M T & LERHE M
fH.
outlier_detection_iqr_extreme 7 IS outlier_detection_method J&
iqr, HBafEE T e SO (E R
fH.
use_output_name trak 858 2 A B 8 SR 4,
output_name FAF a2 use_output_name HE, NIHEE
it F I 24K,
output_mode Screen FHF 46 52 MKl 19 i e 2 B i Y
File HAR(LE.
output_format Formatted (.tab) JHT 48 7 a2
Delimited (.csv)
HTML (hatml)
Qutput (.cou)
paginate output trdk 4 output_format J& HTML B, ffifi
I,
Tines_per_page HF 5 paginate_output —E{# HIiT, 45
JE B TP AT AL
full_filename T

matrixnode E¥

PR T BT T BRI R .

il

node = stream.create("matrix", "My node")

# "Settings" tab

node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")
node.setPropertyValue("column", "Na")
node.setPropertyValue("cell_contents", "Function")

CHEEE AR AT ERRRR, W ARFE AT RS T RANCR, Ede] {T R
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node.setPropertyValue("function field", "Age")

node.setPropertyValue("function", "Sum")
# "Appearance" tab

node.setPropertyValue("sort_mode", "Ascending")

node.setPropertyValue("highlight top", 1)
node.setPropertyValue("highlight bottom", 5)

node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])

node.setPropertyValue("include_totals", True)
# "Qutput" tab

node.setPropertyValue("full_filename", "C:/output/matrix_output.html")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate output", True)

node.setPropertyValue("1ines_per_page", 50)

F 214. matrixnode JBVE.

%% (Residuals)
RowPct

matrixnode E HRER B
fields %®E (Selected)
Flags
Numerics
row FE
column T
include_missing values trds i S AEAT AN A i ) oo 7 5 Pk
Kl () MRERGSEHKME (=
).
cell_contents TN E
Function
function_field FAEH
function Sum
Mean
Min
Max
SDev
sort_mode Unsorted
Ascending
Descending
highlight_top HF nsRAEE, MR,
highlight_bottom BT AR, NhE.
display [Counts
HAEE{E (E)

ColumnPct
TotalPct]
include totals i
use_output_name PRz 58 A B 2 S K 4,
output_name FArE iR use_output _name AT, NI4EE
it AT 2495,
output_mode Screen FHTF46 72 MK 19 i e A R i
File SR OA
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% 214. matrixnode JEE (£E).

matrixnode E¥

Hiimzea

e

output_format

Formatted (.zab)
Delimited (.csv)
HTML (.html)
Qutput (.cou)

MT ekt 2Em,.  Formatted Al
Delimited A% X #P AT A A& 41 4
transposed, WAF5 A E R AT
g,

paginate_output ik 4 output_format f& HTML i}, ik
431t

Tines_per_page BT 5 paginate output —&fl HI, 1§
TE B TR AT A

full_filename TR

meansnode [E4%

OPIEAY SAEASL L 2 (A B S Bt Z [ AT A be e, IR R A e B 22 A, i,
-};E AT DU BT RIS BE IFMA, SUE Rk B R IEZ R P I S H#Z R85 P A E

freeie.

il

node = stream.create("means", "My node")
node.setPropertyValue("means_mode", "BetweenFields")
node.setPropertyValue("paired fields", [["OPEN_BAL", "CURR BAL"]])
node.setPropertyValue("label correlations", True)
node.setPropertyValue("output view", "Advanced")
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/means_output.html")

Z¢ 215. meansnode & 1.

meansnode &4 HiRER B AA
means_mode BetweenGroups & B AU L PATR B E SRR
BetweenFields eSS

test_fields

[fieldl ... fieldn]

HEH means_mode WHEN
BetweenGroupsf [ 6 56 52 Ex.

grouping_field

FE

FRE T T B

paired_fields

[[fieldl field2]
[field3 field4]
..

HEH means_mode WHEN
BetweenFieldsHT E i {7 B X,

label correlations

i

TRETE R R AR, X
£  means_mode XEN
BetweenFields HfA h AL .

correlation_mode

% (Probability)
AbsoTute

T8 D R A W AR TE AR OC,

weak_label TR
medium_Tabe] T
strong_label FAFH
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% 215. meansnode JEVE (££).
meansnode JEE 56l Bt A
weak_below probability T 24 correlation_mode & A Prob-
ability W, H87ES5MHICH 7 FE.
XAE 0 B 1 Z[A—ME, f#l
n 0.90,
strong_above probability HF SEAH IC 1 7 FLH.
weak_below_absolute HF 24 correlation_mode i £ & Absolue
W, FEESSAHRA T FUE, XD
0 # 1 Z[EHy—-H, #ln 0.90,
strong_above_absolute T SRAHSC Y o FHE.
unimportant_label FAEH
marginal_label T
important_Tlabel FAEH
unimportant_below 7 R Bl B FUE, X2 O
# 1 2 —AME, Blitn 0.90,
important_above /e
use_output_name trid i A B 2 ke 44,
output_name TR i FHI A 249K,
output_mode Screen Fi 5 DA 1T R A RO S 1 H AR
File (VA
output_format Formatted (.tab) 6 2 i 257,
Delimited (.csv)
HTML (hml)
Output (.cou)
full_filename FAEH
output_view Simple Fi o T i 5 v S 1 B PR 2
Advanced GAEN

reportnode B4

il

el Wil Gl s Ay, b RS B SOA, Bl B B A R A 2R Sl 6 SOA

PR SR8 SUAS MR i A T, ) A S 4 pA % =
B BER i E I, R DR e I SCA AR L

B E AT A 5 PE R

node = stream.create("report", "My node")
node.setPropertyValue("output_format", "HTML")

node.setPropertyValue("full_filename", "C:/report output.html")

node.setPropertyValue("1lines_per page", 50)

node.setPropertyValue("title", "Report node created by a script")

node.setPropertyValue("highlights", False)
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% 216. reportnode JETE.

reportnode B iRz B
output_mode Screen FAT 48 Mt e AR R e Y
File FARLE.
output_format HTML (.html) JHT48 e i s 2540,
Text (.txt)
Qutput (.cou)
use_output_name trds i A B 2 R 4,
output_name FrF #II5E use_output_name KL, MIFHE
il FHAY 24758,
text FR e
full_filename TR
highlights i
title S
lines_per_page HF

routputnode E%

MW EE QR ER] R A, AL R 1y ks
PRI PE o B BR AN 2R, e A e AT DU SCAR, - T A
SERE. i R T B A e TR A,

T LK i o 1) B SO,

2 217. routputnode J& 1t
routputnode Bt HEER e 237
syntax FAFH
convert_flags StringsAndDoubles

LogicalValues
convert_datetime trds
convert_datetime_class POSIXct

POSIX1t
convert_missing Yy
output_name Auto

Custom
custom_name TR
output_to Screen

File
output_type Graph

Text
full_filename TR
graph_file_type HTML

cou
text_file_type HTML

TEXT

cou
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setglobalsnode [Ef4

VB 4R S AR A AT AE CLEM Faak bl RGICEE, Fldn, wT DL A S — 4
B R AE B BO T B I8 4 A B2 OGLOBAL_MEAN (age) 7E CLEM 23k 2 rbfiff i 4E #31
B,

il

node = stream.create("setglobals", "My node")
node.setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])
node.setPropertyValue("clear_first", False)
node.setPropertyValue("show_preview", True)

% 218. setglobalsnode J&1F.

setglobalsnode [EfE HHRZER B

globals [Sum Mean Min Max SDev] | Z5itaJ@t, FEH T, W2l HI T AY
LT B BB
node.setKeyedPropertyValue(
||g'|oba'|sll’ IIAgell’ [“Maxll’ ||Sum||’
"Mean", "SDev"])

clear first i

show_preview ik

simevalnode Ef%

[ = ] CRLDPE A 1Y O 2 B B0 E AR5 BUAE AT VRS, R om0 BAR 7 By a0 Ai AIAE S PR .

F219. simevalnode JETE.

simevalnode [Eif g JEL e pay
target FE

iteration FE

presorted_by_iteration boolean

max_iterations HF

tornado_fields

[fieldl...fieldN]

plot_pdf boolean
plot_cdf boolean
show_ref_mean boolean
show_ref_median boolean
show_ref_sigma boolean
num_ref_sigma 7

show_ref_pct boolean
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% 219. simevalnode JETE (£E).

simevalnode /M HiExRR e 2 p
ref_pct_bottom 7

ref_pct_top HF

show_ref_custom boolean

ref_custom_values

[numberl...numberN]

category_values Category
Probabilities
Both

category_groups Categories

Iterations

create_pct_table boolean

pct_table Quartiles
Intervals
Custom

pct_intervals_num 7

pct_custom_values

[numberl...numberN]

simfithode Etf&

2 220. simfitnode &t

LG 34 o o4 B B

RIS R E ST BRI G IR R (BCER ) BRI AR, RN R
SRJE, T LA PR DLAE R R AR UL K

simfitnode /B iRk ek 3 7:3e
build Node
XMLExport
Both
use_source_node_name boolean
source_node_name T TEAE A= 1B T 1 R T Y E T 4
use_cases AT1
LimitFirstN
use_case_limit BH

fit_criterion

AndersonDarling
KoTmogorovSmirnov

num_bins k534
parameter_xml_filename FFH
generate_parameter_import boolean
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statisticsnode B

5 GV T SR B AT B TR B R IR AR I
_ﬁl‘q Gitit,

Zn|

node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["Mean", "Sum", "SDev"])
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels..." section
node.setPropertyValue("label correlations", True)
node.setPropertyValue("weak_below absolute", 0.25)
node.setPropertyValue("weak Tabel", "lower quartile")
node.setPropertyValue("strong_above_absolute", 0.75)
node.setPropertyValue("medium_Tabel", "middle quartiles")
node.setPropertyValue("strong Tabel", "upper quartile")

# "Output" tab

node.setPropertyValue("full filename", "c:/output/statistics_output.html")
node.setPropertyValue("output_format", "HTML")

#221. statisticsnode JEVE.

statisticsnode % Himn Bt R
use_output_name PRz 58 A B 2 SR i 44,
output_name TR R use_output_name HE, WHEE
it FHHY 2 7R,
output_mode Screen FHTF46 72 MKt i e A R i
File HAR(LE.
output_format Text (.txt) FHT 48 % fi i 28,

HTML (.html)
Output (.cou)

full_filename TR

examine plIES

correlate VIES

statistics [Count Mean Sum Min Max

Range Variance SDev SErr
Median Mode]

correlation_mode Probability i 5 A 00 2 2 B AR TE A G
Absolute

Tabel correlations i

weak_label T

medium_label TR

strong_label T
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% 221. statisticsnode JEPE (£E).

statisticsnode JEE b6l Bt A
weak_below_probability HF 24 correlation_mode & A Prob-

ability W, &% SHISC Y70 FHH.
XLAE 0 B 1 Z (AR —AME,

fn 0.90,
strong_above probability HF AR I 7 BLE.
weak _below_absolute HF ¥4 correlation_mode ¥ # &y Absolue

I, &SGR FE, XU
0 % 1 Z[EK—AME, #in 0.90,
strong_above_absolute BT SRAHSCHY o FHE.

statisticsoutputnode %

Statistics i 7 S ] IBM SPSS Statistics i #2 DI 45 IBM SPSS Modeler %¥idlE. LA
) | Vil Z RF({ IBM SPSS Statistics 4}Hiid B2, ML 15 H 7% IBM SPSS Statistics [ ¥ ] HIA.
===z}

AR SRMER SR, ES R 278 T 1 statisticsoutputnode JE{E 1 |

tablenode E %

— BN RS S BARNCR, SOOI S ABISCPE, M R B B 8 A S
HEEE ATRAMEITESA, BCT R,

il

node = stream.create("table", "My node")
node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose_data", True)
node.setPropertyValue("full_filename", "C:/output/table_output.htm")
node.setPropertyValue("paginate output", True)
node.setPropertyValue("1lines_per page", 50)

F# 222, tablenode J&TE.

tablenode Bt LR Bt

full_filename F IARERGEL, RS HTML fadi, Wt)E
PEAR L SCPR R 24 R,

use_output_name trak 58 A B 2 SR 44,

output_name FLFER Gk use_output_name MEL, NS EE M
ZHR.

output_mode Screen JHT 46 7 M 3 a5 rb A B0 4 o 1) B AR

File A=
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% 222. tablenode JEPE (%£E).

tablenode B4

HiiRzea

e

output_format

Formatted (.zab)
Delimited (.csv)
HTML (.html)
Output (.cou)

JHF 6 5 i 2R,

transpose_data trik TR B AR, AT RORT R, FIRR
ook,

paginate output b 24 output_format J& HTML B, %o
L,

Tines_per_page 7 Y5 paginate_output —i&ffi fIEY, fEmA
i T AT AR

highlight_expr TR

output FAFE HgEt, v EEXTm T SwEnEE—

e EIViER

value_labels

[[Value LabelString]
[Value LabelString] ...]

T A EX 1R 2R,

display_places

Fics 4

oy BB E s BN A U T LA
REAL TP#H97BL) . (608 -1 BRI
BB,

export_places

biis4

hr BOBEE Sl N R (U
REAL Pt 7B . fHOA -1 IR R
A .

decimal_separator

DEFAULT
PERIOD
COMMA

AP BBCE TR A (GURT L REAL
T 7B .

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD/MM/YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

B B H A (AT DATE =
TIMESTAMP 771#HI T B ) .
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% 222. tablenode JETE (%E).

tablenode Eif HiERR B
time_format "HHMMSS" FF B BN EA% L (AT RL TIME 5
"HHMM" TIMESTAMP FEEIYFEL) .
IIMMSSII
"HH:MM:SS"
"HH :MM"
"MM:SS"
"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"
"MM.SS"
"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"
column_width B HFBIREINTEE. EHh -1 FREHI5EE
WE A Auto,
justify AUTO Bk B AR RS
CENTER
LEFT
RIGHT
transformnode E%
;\ T AR AT SRR A AT S AR A IR, SR FR Y T R B
il
node = stream.create("transform", "My node")
node.setPropertyValue("fields", ["AGE", "INCOME"])
node.setPropertyValue("formula", "Select")
node.setPropertyValue("formula_log n", True)
node.setPropertyValue("formula_log _n offset", 1)
¢ 223. transformnode J@1E.
transformnode [k R Bt A
fields [ fieldl... fieldn] BRI
formula &8 (A1) FE TR N VT T AT AR 408 & 1R S 1 AR
Select i,
formula_inverse tris FNAE A A AR
formula_inverse offset HF FORA A R B e &, BR
M TeE, BN EL T RE R
0,
formula_log_n trak FoRRE A log , A2 HR,
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£ 223. transformnode JHTE (££).

transformnode JETH HiEzER B AR

formula_log n_offset HF

formula_log_10 trds FORIETIVAL A log o el

formula_log 10 offset e

formula_exponential trik FORZA A AEEL (e ¥ ) Feff,

formula_square_root trak FRIE T N T AR AR e,

use_output_name trak i 58 2 A B 8 SR 44,

output_name FAT R A use_output_name JNE, NIfEE

i F Y 249K,

output_mode Screen FHT 46 R M K 5 5 e A B i

File HAr{LE.

output_format

HTML (.html)
Output (.cou)

JAT48 7 i 260

paginate_output

trE

24 output_format J& HTML I, {fi%Q
HA T,

Tines_per_page BT 5 paginate_output —&fl Hi, 1§
FE B H TR AT EL.
full_filename TR TN TR SO PR R S 4.
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£ 17 & SHTREH

BERASHT B
AT 3 A 8115 A
# 224, WHIFH T REIE

B & B AR

publish_path FITH i AR AT B RS AN S B HE IR rootname
AR,

publish _metadata tids T6 58 2 7 LR AT 41 PR A i AR DA e
AR B R ) o Bl SCAF.

publish_use_parameters trd fRERMAE *par X EER S

publish_parameters string list e TR S EL

execute_mode export_data 18 € B PAT W M A KA, & SRAE AT

v Zii} SN E B R A

asexport EH

AT DA A Analytic Server 7 Hadoop 20 il 30 &4 (HDFS) Lizf7ii,

BNl

node = stream.create("asexport", "My node")
node.setPropertyValue("data_source", "Drugln")
node.setPropertyValue("export_mode", "overwrite")

7% 225. asexport JRE.

asexport JEfE HiRER k3l
data_source T H Holls JE A4 TR,
export_mode T 578 S NG T O B B A 20 A K

cognosexportnode [El%

(@)

XTI &, A E X Cognos iEf:F1 ODBC %4,

IBM Cognos BI i1/ iill Cognos BI %iffa LTI A 5 i Hcdle.
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Cognos &%
Cognos EHEIEHEUT.

£ 226. cognosexportnode &1k

cognosexportnode &% HiEZER

I EaA

"o "o non "o

cognos_connection ["string","flag","string"," string",

string" ]

XA E Cognos Mk 55 #4015 B A5

FEM., M A: ["Cognos_server URL",

login_mode, "namespace", "username",

"password"]

e

Cognos_server URL JEfL{ AT Cognos flt

%4xH) URL,

Togin_mode fH/m2& i FHRE 8 %, HIHN

true B false; WIHZRE N true, AN

CaVIESTS S

namespace 48§ T8 M 5545 19 & 4 IAIE

AT

username Al password Jy T %% Cognos

Mz 55 % 19 1 P g s 1,

fEN#A Togin_mode FIEIM, iAn] DIAf

LT

e anonymousMode, 151 1
['Cognos_server_url', 'anonymousMode',
"namespace", "username", "password"]

+ credentialMode, 5
['Cognos_server_url',
'credentialMode', "namespace",
"username", "password"]

e storedCredentialMode, i 1n:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

HH stored_credential_name JEA7f%)%E
Hi Cognos FEIEH ZFK.

cognos_package_name T B AR 3 Y Cognos B £ 1 % 42
AR, an:
/Public Folders/MyPackage
cognos_datasource A
cognos_export_mode %)
ExportFile
cognos_filename FAT R

ODBC &z

ODBC # W@ MHEAIA T — 1) databaseexportnode it 1AH[F, #l4Me datasource J&METLAL.
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databaseexportnode [E%

= R E S SRS Al ODBC JEA 16 RYUREIE, TSRS A ODBC K, HF
| % | YU LA AU H B B VT AL

Nl

Assumes a datasource named "MyDatasource" has been configured

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tab

db_exportnode.setPropertyValue("username", "user")
db_exportnode.setPropertyValue("datasource", "MyDatasource")
db_exportnode.setPropertyValue("password", "password")
db_exportnode.setPropertyValue("table_name", "predictions")
db_exportnode.setPropertyValue("write_mode", "Create")
db_exportnode.setPropertyValue("generate import", True)
db_exportnode.setPropertyValue("drop existing table", True)
db_exportnode.setPropertyValue("delete existing rows", True)
db_exportnode.setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue("export db primarykey", "id", True)
db_exportnode.setPropertyValue("use_custom create table command", True)
db_exportnode.setPropertyValue("custom_create_table_command", "My SQL Code")

# Indexes dialog

db_exportnode.setPropertyValue("use custom create index command", True)
db_exportnode.setPropertyValue("custom_create_index_command", "CREATE BITMAP INDEX <index-name>
ON <table-name> <(index-columns)>")

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields", ["id", "region"]])

7% 227. databaseexportnode J&E.

databaseexportnode Eff HiEER Bt AE

datasource FAT R

username FrFE

password FAEH

epassword FAFH TEPATERE S, Ry R, BA M

HHR, T S s e
TH, ES R 45 5 AR
THE 25 8.

table_name T
write_mode Create
Append
Merge
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% 227. databaseexportnode JETVE (£E).

databaseexportnode JE% HiEAR B
map T JHT B3 7 B4 B e St B 5 74251 44
(fXAE write_mode & Merge [FJI1EHL T
AHER .
MTEIE, B B A e
T, B R AR R T B A RO R
.
key fields F# o IE BT T B MaTE
AN E TR 2 rp X I
join HiRE
Add
drop_existing_table s
delete_existing rows ik
default_string_size B
type FHT 15 B ST 1 45 44 Jm k.
generate_import Vi
use_custom_create_table command ik i Fl custom_create_table M iENE bR UE
CREATE TABLE SQL 14,
custom create table command T 6 AT E AU AR IfE CREATE TABLE
SQL i 4 fifl F.
use_batch Prk B I P R R A ) e ik
Wi, Use batch A true B3] 1A) %L
e PE B ATHR S HI DI RE.
batch_size BF I 2 T 5 22 2 N A il A 38 B itk R 93T
bulk_Toading Off feE b AR R, FmAH T
0DBC ODBC Fll External Y HAth 1%,
External
not_logged s
odbc_binding Row 5t ODBC it izt il F%1 745
Column FE B SGE.
Toader_delimit_mode HFHL(T) XTI ANERAR PR R AL RN A, 8 E €
Space RAFRIEA, vEFE Other [
Other loader_other_delimiter
JRIELL G E & AT, BIUES ().
Toader_other delimiter TR
specify_data_file ik FREHN True IS AIE THEIFY data_file
JRYE, TEIZJE MR AT DL E At R A B
B PRI B R SR 2 R AR,
data_file FAFH
specify_loader_program ik Wk True WA IG Fmm
Toader_program Ja&tk, 7Ei%/@tEH ] L
i 58 SR AR PP A BURE e 4 42 FRF
(A=
Toader_program FrF
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£ 227. databaseexportnode JETE (£E).

databaseexportnode & iR B

gen logfile ik bk True HBFR[IE T WM
Togfile_name, 7EiZ%J@ LAl LIS E i
% i LSO 2R DUAR R R H AL

logfile_name FAFE

check_table size frik FRAEA True B ARIFHEATFAGAE DIAG {4
Bl R R/ BTSN IBM SPSS
Modeler i FATHARTT.

Toader_options FI e o€ AR P HoA 28, il -com-
ment A1 -specialdir,

export_db_primarykey tris f8E 4 E T BUE TR TR,

use_custom create_index_command R WRARE N true, WA ZRSISHE
& SL SQL,

custom_create_index_command FhFf LEJSHEBEEN SQL K, 5% AT

BRI SQL 4. (A ERSI
I, AP, MR )

indexes.INDEXNAME. fields

B QA E B R G I A R A
TEVZR SR 7B,

INDEXNAME "use_custom_create_ i
ndex_command"

FAFJE SR IR E R 510 E ) SQL.
WEH T RZE R

INDEXNAME "custom create index_ com- | string fREMTRRERTINEE L SQL, iF

mand" Z TR Z G R,

indexes . INDEXNAME. remove & IR True, IR2HK MRTIEHER L4
ERRT

table_space FA i 7 ) e e = [

use_partition PR Fit 7 A AT RO B

partition_field F 1858 T T B N A,

FE TR, AT DUdE s DA TR T R 0 ORI R R (filhn, SQL H M AERLiE ] CREATE

TABLE MYTABLE (...) COMPRESS YES;) .

compression_mode, 1~ fif/R,

7228, T IEZEHIRERY databaseexportnode J&E.

T ZFFIIIRE, 2

#t T )@Y use _compression Al

databaseexportnode /B4 HiELER g btz
use_compression M5 MH WARBEE N True, 2K DLT N HEAT 4RI 7

Ak,
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£ 228 T EZETIRER databaseexportnode JH1E (4E).
databaseexportnode JE4 HERA B

compression_mode Row W'E SQL Server Ui I i H: 46 2% B,
Page

Default WH Oracle BREMEA4HMN. WHHER, A
Direct_Load_Operations OLTP, Query High, Query LowArchive High #
A11 _Operations Archive_Low Z/DFE Oracle 11gR2,

Basic

OLTP

Query High
Query_Low
Archive_High
Archive_Low

R RUMATE X E X 51 2 CREATE INDEX fiir 4 9 7 -

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["use custom create_index_command",
True])db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["custom create_ index_command",
"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

o, o] DO R SE Ut A

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id", "region"],
"use_custom_create_index_command":True, "custom_create_index_command":"CREATE INDEX <index-name> ON
<table-name> <(index-columns)>"])

datacollectionexportnode &%

i IBM SPSS Data Collection %55 L IBM SPSS Data Collection 73782 #4145 =k B
L Bl W4 IBM SPSS Data Collection % A A 4 FH itk 45 5.

il

stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport", "Data Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata file", "c:\\museums.mdd")
datacollectionexportnode.setPropertyValue("merge metadata", "Overwrite")
datacollectionexportnode.setPropertyValue("casedata file", "c:\\museumdata.sav")
datacollectionexportnode.setPropertyValue("generate import", True)
datacollectionexportnode.setPropertyValue("enable_system variables", True)

£ 229. datacollectionexportnode )& 1t

datacollectionexportnode &% HEER B
metadata_file string 325 W) o BE SO 2 R
merge_metadata Overwrite
MergeCurrent
enable_system variables flag WRESHM .mdd SUH RN AL
IBM SPSS Data Collection HRFAF
i,
casedata_file string EUR AR 1 sav SCHFRI AR,
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£ 229. datacollectionexportnode JETE (££)

datacollectionexportnode JEi% iR iR
generate_import ik

excelexportnode B4

— Excel 77 55 DL Microsoft Excel .xIsx 4% 0k H &, BB n B FAEPATZ /T S5 B3R
EXCEL] 3l) Excel JH4TH-SHRISCAE,

Zn|

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full filename", "C:/output/myexport.x1sx")
excelexportnode.setPropertyValue("excel file type", "Excel2007")
excelexportnode.setPropertyValue("inc_field_names", True)
excelexportnode.setPropertyValue("inc_labels_as cell notes", False)
excelexportnode.setPropertyValue("launch_application", True)
excelexportnode.setPropertyValue("generate_import", True)

£ 230. excelexportnode J&E

excelexportnode B4 HiEER B RE

full_filename T

excel_file_type Excel2007

export_mode Create

B n (P)

inc_field_names trd o FRAZG I LA STE LIERT
A1,

start_cell Fr e i 58 5 1 I 46 B TTAR

worksheet name TR B A TAEFR I AR,

Taunch_application trk SR o VA o G (S W
Excel. (&, WAER BN HREF
XEGHE (< T H”EH, #FBM R
J7) AR E a3l Excel 1R,

generate_import trk 6 78 2 B AR K I 5 i S
FFH) Excel 5 A A,

outputfilenode E#

T S Y RUH Rl 2 B BSOSO, O H T R A 34 R T e R Y
s Bl ARwA .

il
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stream = modeler.script.stream()

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full_filename", "c:/output/flatfile output.txt")
outputfile.setPropertyValue("write_mode", "Append")
outputfile.setPropertyValue("inc_field names", False)

outputfile.setPropertyValue("use newline after records", False)

outputfile.setPropertyValue("delimit mode", "Tab")
outputfile.setPropertyValue("other_delimiter", ",")
outputfile.setPropertyValue("quote_mode", "Double")
outputfile.setPropertyValue("other _quote", "*")
outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate import", True)

7¢ 231. outputfilenode &M

outputfilenode EfE HHELER Bt
full_filename string iy H ST 44 K.
write_mode Overwrite
Append
inc_field names Yy
use_newline_after_records i
delimit_mode Comma
Tab
Space
Other
other_delimiter char
quote_mode None
Single
Double
Other
other_quote i
generate_import i
encoding StreamDefault
SystemDefault
"UTF-g8"
sasexportnode [E4%
“SAS S ATTLL SAS A m i s, DIMEREA SAS Bi5 SAS FEMBMFmh, F =M
[ I%" HF) SAS UF#5: SAS for Windows/OS2, SAS for UNIX 1l SAS Version 7/8,

Zn|

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full _filename", "c:/output/SAS output.sas7bdat")
sasexportnode.setPropertyValue("format", "SAS8")
sasexportnode.setPropertyValue("export_names", "NamesAndLabels")
sasexportnode.setPropertyValue("generate import", True)
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£ 232. sasexportnode JFHIE

sasexportnode % HiERR B AR
format Windows AR @ AR A B
UNIX
SAS7
SAS8
full_filename TR
export_names NamesAndLabels HAF¥FE4 M IBM SPSS Modeler
NamesAsLabels [ s F) IBM SPSS Statistics
o SAS WAERAH,
generate_import s

statisticsexportnode E%

Statistics S H 15 A DL IBM SPSS Statistics .sav 3{ .zsav #% =0k H 5. IBM SPSS Statistics Base

AL BT DRI sav o zsav SCHE.

.

DFpAE 2 T IBM SPSS Modeler Hi ) FE 2647 47 3¢

AR SURYERE B, S 279 TUH 1 statisticsexportnode JEE 1 |

tmiexport T EEH

@ IBM Cognos TM1 17 il Cognos TM1 Hidla  ml AT I A 705 H e

£ 233. tmlexport 15 5@ M.

tmlexport S EMH

HiiRRE

B RS

pm_host

FrH

EHL%4. Hlfn: TM1_export.setPropertyValue
("pm_host", 'http://9.191.86.82:9510/pmhub/pm')

tml_connection

["ﬁel ”,”ﬁel n’ ’lﬁel !/]

TIEEME, HPME TML RS0 E s e,
kA [ "TM1_Server Name", "tml_ username",
"tml_password"]

B : TM1 _export.setPropertyValue
("tml_connection", ['Planning Sample', "admin"
"apple"])

selected_cube

field

ERBESHIANZEREELEN AR, Fa:
TM1 _export.setPropertyValue("selected cube",
"plan_BudgetPlan")
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£ 233, tmlexport T JEE (£5).
tmlexport 7 R/EMH HERA ko bk

spssfield tmlelement mapping list BRI TM1 J0 3R AA250E T 128 2 45 S AL I Y 971
e H ARy, Lk [["paraml"”,
"value"],...,["paramN","value"]]

f51n: TM1_export.setPropertyValue("spssfield_
tmlelement_mapping",
[["plan_version","plan_version"],
["plan_department","plan_department"]])

xmlexportnode Ef4%

|——~| XML S 47 G Befi Ll XML MU i 250 pF, B B1d XML JE1Y s, DU S i Bl
<XML>

| | eI F A,

Zy|

stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full_filename", "c:/export/data.xml")
xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"],
["/catalog/book/title", "title"]])

% 234. xmlexportnode J& 1

xmlexportnode HiEzER BEHA

full_filename string (7 ) XML 3 SCPF R 58 B B AR SR 44,

use_xml_schema tiids fRE M E M XML #£:( (XSD & DTD 3Xff)
i) 5 a2 4

full_schema_filename string FF R XSD m DTD U1 5¢ 8 AR R4
. W use xml_schema %W true, B4 HNAL

generate_import trid A BT S R A S ] S g P XML R

B3R string FORICFA I XPath £k,

map string BB AN E] XML 4514
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& 18 Z= IBM SPSS Statistics 3 & /B

statisticsimportnode &4

P Statistics /7 S IBM SPSS Statistics {# JAf .sav 8% .zsav U DL LR FAE IBM SPSS
( :I Modeler A 227730 (Ll IR — 4 20) S,
HH_\__J_J'

il

stream = modeler.script.stream()

statisticsimportnode = stream.createAt("statisticsimport", "SAV Import", 200, 200)
statisticsimportnode.setPropertyValue("full_filename", "C:/data/drugln.sav")
statisticsimportnode.setPropertyValue("import names", True)
statisticsimportnode.setPropertyValue("import data", True)

% 235, statisticsimportnode &1

statisticsimportnode B iRz B AR
full_filename F e TR (HEE) |
password FLFEH RS, password ZEUNLITE file encrypted £
B AT,
file_encrypted PR FRR MR B R,
import_names NamesAndLabels b PR i A4 MR RS A 5 1%
LabelsAsNames
import_data DataAndLabels A TR AIRRAE 1) J7 2k
LabelsAsData
use_field format_for storage TR E fREF AN ZARMEH IBM SPSS Statistics 7 Bt
AfFEHE.

statisticstransformnode E¥

Statistics #4747 S % IBM SPSS Modeler H I 7Tkl IBM SPSS Statistics 1%y
A AT AT IBM SPSS Statistics [ ] FIAK,

"'-.
E.J

'\.

il

stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform", "Transform", 200, 200)
statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticstransformnode.setKeyedPropertyValue("new name", "NewVar", "Mixed Drugs")
statisticstransformnode.setPropertyValue("check before saving", True)
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£ 236. statisticstransformnode J& P

statisticstransformnode [E% HiEER EtEi% A

syntax FAF

check_before_saving tri PRAT Hi AT 2 T 56 UE L 4 A B K,
HEREE TR, W2 WoR — S AR
g.

default_include trak TS B 117 5L ¢ filternode J|
] TREZEA.

2k ik T2 0 0 117 5 1 filternode Jg]
THEZER.

new_name FIFER TS0 B 117 5 1 filternode Jg|
] TREZEA.

statisticsmodelnode B4

Statistics ATy Sl AR IS @ 115474 . PMML [ IBM SPSS Statistics 1t #5243 H7 Fl4b BB HE

i@;} MY EEE IBM SPSS Statistics A1) &l A<,

il

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticsmodelnode.setKeyedPropertyValue("new name", "NewVar", "Mixed Drugs")

statisticsmodelnode [Ei4 HimkR JEH 2737

syntax string

default_include trak ARELZFER, WSHE 117 U
| v filternode @&k 3 A= i,

(256 trk AREZEE, HSRE 117 i
|  filternode @M & 324,

new_name string HXREZHEE, WSHE 117 11
[ 1 filternode J@ 1t 1 |34,

statisticsoutputnode [E4%

Statistics fiy Hi 7 & AT JE ] IBM SPSS Statistics 3 F£ DL #r 43K IBM SPSS Modeler %t#lg. WL
) Vil P2 R IBM SPSS Statistics MMt #2,  MLH7 A IBM SPSS Statistics V77T 75,
EE|

il
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stream
statisticsoutputnode

statisticsoutputnode.

statisticsoutputnode

statisticsoutputnode

modeler.script.stream()

stream.createAt("statisticsoutput", "Output", 200, 200)
setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A) BP(A) Cholesterol(A)")

.setPropertyValue("use_output_name", False)
statisticsoutputnode.
statisticsoutputnode.

setPropertyValue("output_mode", "File")
setPropertyValue("full_filename", "Cases by Age, Sex and Medical History")

.setPropertyValue("file type", "HTML")

& 237. statisticsoutputnode &Pt

statisticsoutputnode JEE LR et 2i3ns
mode Dialog PEHE“IBM SPSS Statistics X FE” 4
Syntax IO 8 1 v G 4
syntax string
use_output_name prak
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW

statisticsexportnode ¥

il

stream
statisticsexportnode
statisticsexportnode
statisticsexportnode
statisticsexportnode
statisticsexportnode

Statistics 5 ¥ 5 DL IBM SPSS Statistics .sav 8{ .zsav &= it EdE.
FOHAD ™ ST DIEE sav B .zsav XAF,
4,

IBM SPSS Statistics Base
XA AL T IBM SPSS Modeler H i §E 8828 77 3¢

modeler.script.stream()

stream.createAt("statisticsexport", "Export", 200, 200)
.setPropertyValue("full_filename", "c:/output/SPSS_Statistics_out.sav")
.setPropertyValue("field_names", "Names")
.setPropertyValue("launch_application", True)
.setPropertyValue("generate import", True)

£ 238. statisticsexportnode )& k.

statisticsexportnode B | #iFZEE JE %A

full_filename T

file_type sav P sav 8 zsav MEALRAESCIE,  n
zsav statisticsexportnode.setPropertyValue("file_type","sav")

encrypt_file Priks TR ST R 2 A AR AP,

password FAFH g,

Taunch_application s

export_names NamesAndLabels HF¥FB 4 M IBM SPSS Modeler 75t HIef#] IBM SPSS Sta-
NamesAsLabels tistics B SAS fAS &4,

generate_import ik

% 18 # IBM SPSS Statistics 1)@ttt 279
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£ 19 E BhEEKR

TR TR SR E RN, FEAI UM R TR A
76239, Rl 5 E P

BHERIR BHEENES R B4R
execute_method Script
Normal
script string
E-p ny ./ ﬁ

AT FiIS A I A B el R RS A

mySuperNode.setParameterValue("minvalue", 30)

BT HLLU T AR R S A

value mySuperNode.getParameterValue("minvalue")

ERUEET =
A LU ] findByType() AT I o A #0885 4

source_supernode = modeler.script.stream().findByType("source super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super", None)

RECHRT ARE

TM@LWM%AEwM¢M%I%uEﬁ§fﬁEW (PAREE T AR B, i, R A — R A, K
SRESE- ORIl 'L N U&mﬁ% A DATE 3 37 1] 7 1 5 A $R0AH 5G4 sk A% 18 B IR SCAF R 4 R (il
full_filename JE@MEHET) , WFPIR:

childDiagram = source_supernode.getChi1dD1agram()

varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

BT =

IR EE K TR B M R SN A, IR AR DO B mi, Dl R QU I e 15 nOoR DL T 3058

RLUCEEAE, AR ER T S BT S B R A - A/l R T N, pln, R R R
A5

process_supernode = modeler.script.stream().createAt("process_super", "My SuperNode", 200, 200)
childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)
childDiagram.linkFromInputConnector(filternode)

childDiagram.TinkToOutputConnector(filternode)
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PR A. WEE5IA

MRS IBM SPSS Modeler HR 7 551 A4S gt il 24 R 5 .

BEER AN
BOUH (B RIOB ) ATLUESRIATSIR, AR AR S — B, T RIS S 154,
.

R, XWAFRE FTE] AR IR (T IBM SPSS Modeler 7 4 ) iy, HEI|IHEL
VR INE I A HEAT VR A (0 BERUAT 5, TR A A B —FL) apply... WRTRMAR. HXEZEE, W2 HE]
[T U P A

M IEEE R, HE SRR AR R DR S R IR,

240, FIRIH LR CGEFGER ) .

RE AR =Ll
anomalydetection S

apriori Apriori
autoclassifier Hshir ket
autocluster Hah&3%E
autonumeric H sh#F
bayesnet DU H7 0 2%
c50 C5.0

carma Carma

cart C&R #
chaid CHAID
coxreg Cox [HIH
decisionlist AR
discriminant F 5

factor PCA/H T
featureselection FHEE£F
genlin &= el =]
glmm GLMM
kmeans K-Means

knn k- A 4RI HR
kohonen Kohonen
linear &t

logreg Logistic [A] 14
neuralnetwork T 4
quest QUEST
regression Eoa et VRl
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76240, BRI GFE (BEHVEAR ) (25).

REZIR kit

sequence gl

slrm ] M) R A5
statisticsmodel IBM SPSS Statistics #x1i
SVM SRl R

timeseries IS} 1] 7 5]

twostep —Wr

241, BRIGRETR (BHRFEE B .

BEZFR L il

db2imcluster IBM ISW $2
db2imlog IBM ISW Logistic A H
db2imnb IBM ISW Fp2ZE Dl i3
db2imreg IBM ISW [AH
db2imtree IBM ISW P
msassoc MS SCECHL
msbayes MS Fhz DL
mscluster MS JE

mslogistic MS Logistic [#1H
msneuralnetwork MS Hizg [ 2%
msregression MS ZHElE 1
mssequencecluster MS FFHIER3%E
mstimeseries MS s [a] 731

mstree MS PSRy
netezzabayes Netezza Bayes [¥%%
netezzadectree Netezza IRIRH
netezzadivcluster Netezza 733 A K%
netezzaglm Netezza | L 2ktk
netezzakmeans Netezza K-Means
netezzaknn Netezza KNN

netezzalineregression

Netezza ZVE[A IH

netezzanaivebayes Netezza Fh2E U137
netezzapca Netezza PCA
netezzaregtree Netezza [A] 54
netezzatimeseries Netezza [ [8] /541
oraabn Oracle Adaptive Bayes
oraai Oracle Al
oradecisiontree Oracle #REH

oraglm Oracle GLM
orakmeans Oracle k-Means

oranb Oracle M DLIFH7
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K241 BREBREPR (BAREERE IR ) (25).

BEZIR il

oranmf Oracle NMF
oraocluster Oracle O-Cluster
orasvm Oracle SVM

it 5 B 8RR A Z R

it FREIAS G AR SR AT E RS, MR R EE N ERRI SRR eSSBS UG, R T R R E B
[ A, B S o D A s SR A= ol P A5 7Rl PRI E — 119 4% K.

By A R 44 BRI B I

1. MR

TE > AP%Em
2. HFERIBEI R,
3. PR HREE R D) B AR R A A 4

EAEAR BB AR S| IR, BEIASEAT4T A7E SPSS Modeler 5 IBM SPSS Collaboration and Deployment Ser-
vices Z [A]AJREA T AN[A,  SPSS Modeler % PR AL TR e Se AT BIU LET0, L ELI0HE ) S 4 m] 42 RORETY (43
n, AR S IEAATIEN, DMEGRE A AR R ) . {HJ2, £ IBM SPSS Collaboration and Deploy-
ment Services FzfT[E] —MIAKS, BCEEWURTTH, @i R UGEACr AR A AT B iy 44 DLORE S X R HEAT R
BB G I, B AE R ERES AT BR M ATAEEL (5020, %5H0 clear generated palette %)) , ATDIEEAR:
XL

i1 H 22 B AR
TRV TECA A SRR BT E NI R, A SRR 2 N A AR e AR, S A A
Wk IS R R ([EUB T A SR P 1 U )

SRR TR
analysisoutput g
collectionoutput &
dataauditoutput Bt # %
distributionoutput Baxil
evaluationoutput TEA
histogramoutput HITH
matrixoutput ey
meansoutput S {H
multiplotoutput ZERAA
plotoutput R
qualityoutput gty
reportdocumentoutput WX G RIARE TR B TR QL
reportoutput s

Wik A TSI 285



# 242 Fir i MR R LI R EE X BERFUAT T L (2E).

statisticsprocedureoutput Statistics % it
statisticsoutput F it
tableoutput #*
timeplotoutput i ]
weboutput Web
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Btz B. MNIBMIZAZ&HIEFHE] Python Bz %

IR TEF LA

AAiiE At IBM SPSS Modeler H Python JHIASZ il 5 [H A i [0 9 22 S0 B2, FFAR A S NPy IH AT
% Python MIARIEE. FEATH, Gek4REIFRHE SPSS Modeler [Hfir 4 HISER4LH Python iy % 51,

—BES
HEAGE M RITERKEELEHELETRER GG S BA, REQLE - LREgH (FHm
if...then...else...endif Fl for...endfor) , {H[HBIAZwHIE 4T, FH45 008 % %A= X

F£ Python MIAZiHIH, AutA RN, I HJET R — ZHPE1T L 0HE A — JOn AT it

i SRR Python fURDIN, 55546/ IVDRAE.  FESRIES, B tab 4t 94T Al RE S 06 A At AT
Bk —HE, L2, Python MIAKEAERUERLR, X R ARG X L AT ML 4 Ut AR R A9 AT

N7 ZR il _E 3L

T i) R SOE TR AR AT I A B, i, T PTIEASG SO T AL B, FEIH AR S,
BRSO B, TR B E WUIAS FP A BT RS AR ST I A R I

£ Python MIAZiHIH, BIAZmH E T 3GEE modeler.script BiELDL i 4R AL, BN, Python i M4 a[
PAGE FA LT A5 T AT 12 AR B 3

s = modeler.script.stream()

SRIG, AT LUtk (B 4 % G 18 -5 A 5% B R AR

e 5
A EIE AL, X B A RS — 8% DS BB BGH T2 i 2 JFIG, BILn:

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"

Python i il % 1 id 7 SCeR AR G (BB, SR04 ) Brifl Ay e &, it

stream = modeler.script.stream()

typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filter", None)
stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")

287



X EFFERE
IBM SPSS Modeler H1— 284 (1 SCF M By 2 7E Python WA Zmilh BAA S5 A4, Xl IR B EH A
SPSS Modeler |HJHAF: Python JHIA, DIEYE IBM SPSS Modeler 17 H1#i [,

% 243, LT HERE R IH DA ] Python BIZR Gl BLAY .

|RREN 2 4 Python Mz 4l
A, i 4 GG
TS, it 0.003 AR
MG IS FAFE, Fla Hello! HAIF

i & IE ASCH FERF AR R FmEAMLL u VB WIS,
DI E13278 R Unicode,

IWE & 7458, FIan "Hello again” HHE

i AR ASCH FAFIF4F 8B FRIE LML u VB FRTE,
DI B 1138788 Unicode,

K4/, il Pl

"""This is a string
that spans multiple

lTines"""
G, fitn [1 2 3] [1, 2, 3]
EGIH, Hm set x = 3 X = 3
FTaRSEAF (\), fItn x=1[1,2,\
set x = [12\ 3, 4]
3 4]
Bk, filn """ This is a long comment

L. over a line.
/* This is a long comment

over a line. */

TrER:, it set x = 3 # make x 3 X =3 # make x 3
undef ¥

true True

false False

= -+

EEF

IBM SPSS Modeler H—46% FIRYZEAT 27 Python JHIAZR I A& G4, Xl IFE AR BE SPSS
Modeler |HEIA i Python A, DIffifE IBM SPSS Modeler 17 Fhfii f.

% 244, I FATHIIHMIA LI 2] Python JIA 2 il 9 BT

|E R 2 2 ) Python i)z 45
NUML + NUM2 NUM1 + NUM2

LIST + ITEM LIST.append (ITEM)
LISTL + LIST2 LIST1.extend(LIST2)
NUML — NUM2 NUM1 — NUM2

LIST - ITEM LIST.remove (ITEM)
NUML * NUM2 NUM1 * NUM2

NUML / NUM2 NUM1 / NUM2
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# 244. B FATHIIAMA L HIE] Python M ZHIRIBLS (25).

|HB 2 4l Python HZ< 2!
= 1=

X *x Y X x% Y

X <Y X <Y

X <=Y X <=Y

X >y X >Y

X >= Y X >=Y

X div Y X /1Y

X rem Y X%Y

X mod Y X%Y
and and

or or

not (EXPR) not EXPR

Y 4
EHFERFEIR

IBM SPSS Modeler Ht— 204 F{ S5 MG R fir 2 7E Python AIAZmiilrh HA % ar 4, X IF B ks LA
SPSS Modeler [HEIZA#E) Python JIA, DIEAE IBM SPSS Modeler 17 Hfifi H.

& 245, A A RITEER AT IH A il 2] Python JIA 2 il A B 1.

| B RE 7 4l

Python BZ<ZR%I

for VAR from INT1 to INT2

endfor

for VAR in range(INT1, INT2):

of;

VAR = INT1
while VAR <= INT2:

VAR += 1

for VAR in LIST

endfor

for VAR in LIST:

for VAR in_fields_to NODE

endfor

for VAR in NODE.getInputDataModel():

for VAR in_fields_at NODE

endfor

for VAR in NODE.getOutputDataModel():

if...then if oo
e]éé%f...then e]%%....:
else else:

endif

with TYPE OBJECT To 45 B4
ené&%th

var VAR1 AN B R

Wi B. MIAMIAZGSIEHE Python A
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R E

S E

TEIHA G S, 1A & Z F0 A & T 7 A, fln:
var mynode

set mynode = create typenode at 96 96

F£ Python MIAZIH, A8 RALE K| R UEAT B, Hlhn:

mynode = stream.createAt("type", "Type", 96, 96)

TEIR A Gl rh, e~ IS4 Bk 0 AR B 51 A,

var mynode
set mynode = create typenode at 96 96
set “mynode.direction."Age" = Input

SR B ARG HIES —FE, 7E Python MIZARZuHIH, XA ULTRAIE, Han:

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction","Age","Input")

TR, HiH R ER
FEIFAS R, AR T (19, e AR ) SR 4 G 38 I T2, I, R A 95 A A

derivenode Z&HU:

set feature _name_node = create derivenode at 96 96

Python 1) IBM SPSS Modeler API A I node JG4%, HIL“IRAE"T HEA derive 2851, fijfp:

feature_name_node = stream.createAt("derive", "Feature", 96, 96)

[H A5 Python IR 2 il () 2 2 44 B (O E — 22 e AE T ik DA 5 24,

Et#
TEIHMA G 6IA Python BIAZwGIH, JEMEAME. BN, FEXMMIASGIFAEES, AR ST S T e X
SO E @R full_filename,

T =5 A

VP2 IH A AR 2OR A AT M BB By 5, Biltn, FAar 4 AT R R g e 1
SR L R T B Oy ) (SR ) BN, RS R Br B AR (R B
MEgME ) -

set 'Type':typenode.direction."Age" = Input
set 'Type':typenode.direction."Drug" = Target

£ Python MIAZHIH, AAER A mxt g, AaHFEMATREREEN L, G

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

£ TEARFIF, "Target” WS EFRFHRG]FH,
A4, Python FHIZRT]{# ] modeler.api H/4FfHH) ModelingRole M2,
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R Python JEIAZ I RAS ] RE oG SE B, (HERENS SCIL S HERIAATINNPERE, ORIl # OUAT — AR R Y
M AEIHMEARGR IR, KR R A

Tioh, IESCHFEARRAE R R0 (AT DUE Y SR HE AR I R AR T aAsi) o B, FEIH A g

# 1d65EMPBIVL87 is the ID of a Type node
set @id65EMPBIVL87.direction."Age" = Input

PUR A 75 Python IS g3 il #49 [R] — 75 491

typenode = stream.findByID("id65EMPBOVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

FFiZEREM

[HIAEIEH set A kigE M. set A /FRMIANCRT DU EMEE X, DUN A SR T A gem 1T
v B M A S 2

set <node reference>.<property> = <value>

set <node reference>.<keyed-property>.<key> = <value>

1 Python MIARZmHIH, WL HEE setPropertyValue() FlI setKeyedPropertyValue(), wJDISZHR[A]—4
&,

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

TEIHM AR, rTRIGER] get 4 kcobyiil @ik, fiu:

var n v
set n = get node :filternode
set v = “n.name

1E Python JAGwilh, Mid(f JHeR%L getPropertyValue(), wJLISEHELE —&55L, #ian:

stream. findByType("filter", None)
n.getPropertyValue("name"

n
\

IRER I
TEIMAZG R, create 1% ITGIRF 1A, Bl

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

F£ Python ARG, HEA QIR (g Tk, B

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

TEIHA G iR, connect fir 4% AT BIEE W i Z [ A BESE,  fl4n:

connect "agg to “select

£ Python JEIARZiHIH, 1ink J7ik AT BRI M2 WA, Hlin:

stream.link(agg, select)

FEIHEA 2l h, disconnect 4 T BRET R ZMIAHEEE, N

disconnect "~agg from “select
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1t Python JAIAZHIH, unlink J7¥E TR AT s AR SERE, Fl40:

stream.unlink(agg, select)

TEIHEAG R, position 4 F K7 sSUCHE it A b sl HoA 15 f 2 [|], ol an:

position "agg at 256 256
position "agg between “myselect and “mydistinct

1F Python JZARZmHIF, Hi i FPFOARE ) 2 (setXYPosition #1 setPositionBetween) , 7] LJSEHi[E —
g8, .

agg.setXYPosition(256, 256)
agg.setPositionBetween(myselect, mydistinct)

T RRIE

IBM SPSS Modeler H— 465 FAY 7 St/ Edr 27 Python MIAZmilrh BAT S84, Xl DIFY B BLA SPSS
Modeler |HEIA 4 Python A, DIf#ifE IBM SPSS Modeler 17 Fhfii f.

F 246, T EBRERIH A ZRHIE] Python A2l (1B
| B2 2 ) Python BizxZ%!

create nodespec at x y stream.create(type, name)

stream.createAt (type, name, X, y)
stream.createBetween(type, name, preNode, postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.1link (fromNode, toNode)

delete node stream.delete(node)

disable node stream.setEnabled(node, False)

enable node stream.setEnabled(node, True)

disconnect fromNode from toNode stream.unlink(fromNode, toNode)
stream.disconnect (node)

duplicate node node.duplicate()

execute node stream.runSelected(nodes, results)
stream.runAll (results)

flush node node . flushCache ()

position node at x y node.setXYPosition(x, y)

position node between nodel and node2 node.setPositionBetween(nodel, node?2)

rename node as name node .setLabel (name)

{EE2S

FEIRMA SRR, BT 51 F IR L 10

o HRR, AEBLTEERR, TARAERAEPI A RACE R 2 8 AT RS 3.

o JPIIRIR, BRI P SILEAT R I, DR 24 Hi (0 2 53R AL B

AT VA2 [ A 20 i £ T 20 27 1)

for i from 1 to 10
printin 7i
endfor

DA BEAR S [ LR 2 ol o 4 e 31108 275 191
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var items
set items = [a b ¢ d]

for i in items
printin 7
endfor

J38b, 3R] LR A S Y 7 2
o XA I AR R A AR el 5 AR R A ST RE A
o XA S Y R T B AT R AR,

Python Al il S Rp AR AT G ER.  DUF A Python JEIAR 2 il o () 7 06 267 491

i=1

while i <= 10:
print i
i+=1

PATR A Python JEIAS 24 il o () 3 511416 267 491

.Items = [Ilall Ilbll IICII lldll]
for i in items:
print i

FEAEAAER RiE, JFHAES IBM SPSS Modeler API k&5 &G, AR L2 WA w6, U Fxw
il 7~ e i ] Python A 2 il A (1 )5 SR PR RTA% 37 51 - B AT a5 AR
node = modeler.script.stream().findByType("filter", None)

for column in node.getOutputDataModel().columnIterator():
print column.getColumnName()

PLITIR

PATIH AR, AR B ROR) Bl XTSI E o — XA B . TEIHAAR S ST, AR DTS
AR IR B EXT S, B AR R 00 S T B AR A

F£ Python ", PATIL A A BT ARl AT A i A o) A sl HE Hs DAL 3 B AT s B 1 B 2R [T, 5
A5 T SR A A L s T 3 A T 5 2R

H RS 2 ] S R 81 = P S T 2

* execute_all, JHTHATIH Y I A AT PAT 2805 15 A5

* execute_script, MTHUATHIIA (5MABITHRETLL) |

* execute node, HITHATHEE I T M.

Python JEIZAS 2 il 32 55 — 2H 280 Y R 4L

e stream.runAll (results-list), FTFHATH TG ] AT L0 7 L,

* stream.runScript(results-list), FTPATHEA (HEASITHRETTR) .

e stream.runSelected(node-array, results-list), T S A3 AN FHATIE E 09— 417 5,
e node.run(results-list), FTHATIEEMTT A,

FEIR AR AR, o] DU A T e B RS Y exit dr 4R kAT, Bl

exit 1
fE Python JAGwilrh, fif FIDLT A w] SC B[R] — &5 5
modeler.script.exit(1)
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B X R FTFIEEE TR R 5
FEIFBIAZGRRIT, ERTLMET open 44T FFBLAME, HUMSMHINS, fi:

var s
set s = open stream "c:/my streams/modeling.str"

1E Python MIAZSIH, A4 — A NSIEHITUIRAY TaskRunner 28, Ff HixX 0] T HUAT R0 11E55,
il n:

taskrunner = modeler.script.session().getTaskRunner()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

TEIRA G il rp, ZORTFXTR, GnT LA save fn4, filn:

save stream s as "c:/my streams/new_modeling.str"

E Python A 77 kK ] TaskRunner 28, {0

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

#F IBM SPSS Collaboration and Deployment Services Repository [FJEAELEIHIA SR HIH T retrieve Fl
store fir %L HE, HilUN:

var s
set s = retrieve stream "/my repository folder/my_stream.str"
store stream s as "/my repository folder/my_stream_copy.str"

£ Python MG, AT LU -5 200 SR BC R AF i P X SRV M S 2 h R, fin:

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

E AR TR) BRSO i P B R AT T RCE.

TRiR(E
IBM SPSS Modeler H—4647 FIR A E i 2 FE Python WA Zmiish HAA S84, XAl IFS B KB4 SPSS
Modeler [HA%:4t} Python A, DIfEYE IBM SPSS Modeler 17 Hfifi i,

# 247, P HEAERIH AL HIE] Python JIA BT .

| RIS 4l Python R 2|

create stream DEFAULT FILENAME taskrunner.createStream(name, autoConnect, autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream TCAE R

Toad stream path TGS

open stream path taskrunner.openStreamFromFile(path, autoManage)

save stream as path taskrunner.saveStreamToFile(stream, path)

retreive stream path repository.retreiveStream(path, version, label,
autoManage)

store stream as path repository.storeStream(stream, path, label)
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RER{E
IBM SPSS Modeler H— 265 FAYHTI#4E s S FF Python AP A4, X I A SPSS
Modeler |HEIASEH#: % Python A<, DIFYE IBM SPSS Modeler 17 Hifii F.

# 248, BIBRAERI IH MDA FIE] Python A2 il i R+ .

IR 4l Python iz 4RI

open model path taskrunner.openModelFromFile(path, autoManage)

save model as path taskrunner.saveModelToFile(model, path)

retrieve model path repository.retrieveModel (path, version, label,
autoManage)

store model as path repository.storeModel (model, path, label)

X% iR1E
IBM SPSS Modeler Ht— 28 F{f SCR i 45 F fir 2 7E Python A Zwifil b BA akar 4, k] DI B fcks X
H SPSS Modeler |HHIAH: A Python JAIZA, DIEYE IBM SPSS Modeler 17 Hf# A,

H 249. SCPAHiHHRIERT IH ARG 2] Python IR Gl A4

IR 2 ) Python BHIZ 4

open output path taskrunner.openDocumentFromFile(path, autoManage)

save output as path taskrunner.saveDocumentToFile(output, path)

retrieve output path repository.retrieveDocument(path, version, label,
autoManage)

store output as path repository.storeDocument (output, path, label)

IR A 4% S Python HIAEHIZ EHEMESR

[H A2 AT 40 FE IBM SPSS Modeler THRER)SZFF.,  Python A2 24 Fi AR AL I =2 57

RS i il 42 (1 7 BERRE AR X 5 CRUFIBIIAY 45 ) 19SCHF,  IBM SPSS Modeler 8.0 J& HY A A HEFE(E
ARSI R, Python BARZ A SCRPIRAEXT 4.

Python A S 4t T T SIBIANIAE,  1H B i o R 2 fit X 26 D g
o HERACH

P UL PN B

o HNERBLHURIES = 7 MR
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IBM A AEFEH A [EI 5 sl XA & A ST FR g 19 7= . 55 s REREE, A S BB E DI 2 i A A 7
AR S5 AR S, A IBM ARE M, (R0 IBM =, Rl 5 195 I AN R SRR R
RERE ] IBM ™, BFERS. HERRL IBM KRR, LM ESDREN ™M, BFERks, #Hn
PUUE IBM 7=, By el 55 {EE, PHAAI AT AR IBM 7= dh, FEFP U S5 ROERYE, ) BAT TS

IBM AJREC YA sEAE HE SA A A A RIS I M, FR ARSI AN EIRE & T H 7 6 X 2L A AT
faVERT, ST DL ORI A

IBM Director of Licensing
IBM Corporation

North Castle Drive
Armonk, NY 10504-1785
U.S.A.

HRIFH (DBCS) 5 BRFAIEifl, E SEIERZRSSX A IBM HERF=AGT TR, s B 7 A
T2 E:

Intellectual Property Licensing
Legal and Intellectual Property Law
IBM Japan Ltd.

1623-14, Shimotsuruma, Yamato-shi
Kanagawa 242-8502 Japan

PUTT B ok F 36 [ 1 5 224 i ok A A [] L7 1 At [ R st X ¥ A& . INTERNATIONAL BUSINESS
MACHINES CORPORATION“f BUIR™ - HEA Y, ML (ToigEamrin i &1y ) ik, &
FEAEANBR T 15 5 A AR R AL iﬁ%ﬁ%ﬂiﬁﬁﬁ?%%ﬁiﬂ?ﬁﬁ‘]ﬁ:iﬁ BELE IR S i XA L 52 B R S VR SR
AN & A ORAE, PRI ST REAE TR

A BT RE B S HOR TS RN HE G B 07 BB B 2. BLAREI R B2 e AT I X S i 2 A AR A it
IR B RRA . TBM Al BRI XA R Fp i ods 19 7= ft R sl R P AT SOt R s e, T AN S5 ATl A,

FEAE BB XHEMTAE IBM [ B 51O T I7 P, FAR DUEA T 2R B X SE R g A m] . IR
Web B siFFHI BRI S IBM 7 i GORH) —#B53,  fFIARLE Web i i >R A IXUBKE H 488 E AT 7R 90,

IBM 0] DL 2 A i 24 HAE A 05 2 A s i e 4 B 42 A B9 A AT i B i Je 000t BORABAT AR AT

ARFHVFA TR E T IRA SRR FOERUBEMTHEA: () RV EmRSL Q@R FAIAARESF (4
AR ) 2RI RS, DR (i) RV Cascfiim BT, 55 T8k

IBM # Ak
ATTN: Licensing
200 W. Madison St.
Chicago, IL; 60606
US.A.
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P21 SRS AN B IRAR G SR e 1, AP (S FE RE U DL T S fhidE 4 9% .

AT R R B VR AL RE S R RV R BERY B IBM KSR IBM & X, IBM [EBRAR R AT R
AT A0 [a] 4 Bl AP A AR AL,

BRAR P & B PERE BRI FE Z AR PR P o, PRI, FE A RAER SR AR S R T REZE SRR, AL
REFETT R RGE P LT, AR ESIR S W HRE ERNESRAER.  55h, ALl 45 Rl ftilid
WEWTRAGITT AR, SCBREE R ATREA AT 2 5, LSRRG P R B0 JH B R 30 365 FH ) 508

WL AE IBM 7= dh (19 fi5 S AT X 2872 i B B i, H AR A A T A JFRAR Y SO AREL.  IBM SR R
XL AT, ICIET U R ROR A E, SRR ML TR IBM AR AR IBM
b P RE R I] AR 24 [ K 88 7= i (4 (R R R 2 13

A5 IBM ARR Iy [i) 55 16] B4 B A 7 249l R 2l A0 B O s, o L OURGER E AR AT HE 9.

AR B E H LS5 a8 il R BRI & sl O TR AT REVE R Kb AT Ui, R & T AN B
SR /N I 7 Vol U Ry ST S B € Ry S )2 (S RS R Y ol A 5 O b L ] DR ER B R
&,

TR A 2 e LA B R A8 DL, P RS (5 4 [ T RE A 2 s,

[GL7R

IBM, IBM #5340l ibm.com J& International Business Machines Corp., {E4>BRF 245 5 DX I 1) i A w0 M R .
FHoAM ™ b MR 55 2 FR AT RE /2 IBM s AR A R R, 4T IBM FifndEE, WA Web ¥l www.ibm.com/
legal/copytrade.shtml _F“RAHI A7 5 B2 BB 53 IR HL.

Intel, Intel ##5. Intel Inside, Intel Inside #{#r. Intel Centrino, Intel Centrino #(#7. Celeron, Intel Xeon, Intel
SpeedStep, Itanium Al Pentium & Intel Corporation B2\ 7E 3 B RN H A FE ¢ ml b DX 1) e b ml e A i b,

Linux J& Linus Torvalds 7F 2% Efl@3B72H At [E 5 8 1 X 1 W Ar.

Microsoft, Windows, Windows NT D% Windows #{#5 /& Microsoft Corporation fF 3% [ F1/mk HAth [F] 5¢ uli th [X.
IR 5.

UNIX /& The Open Group 7 3 [l /3 FAth ] 5 B b DX (19 7 M i .
Java FIFFEIET Java (RTAR M BIbRS 4 Oracle /s B 28 &1 (4 1 b B0 At R .
HoA ™= Sy AR 55 2 P50l g2 IBM i HA 28 /] 1Y R .
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]
[A]

G
e 45
7ol
ML 57

[ B ]

(SR DL
B 258
DU ] 245 A5
ARG EE 158, 217
#E 16
AT 4
JEE 265
WA 30

=1
ARt

AGRE 13
PRI 17

PR

[C]

ZH 65
IR 281
M55 ikt 57
w59
IBM SPSS Collaboration and
Deployment Services Repository 4§
58
TR 27
AR 6l
ZH 281
A 1,5, 25
AT 281
25
i EEE 281
J&E 281
T
J&rE 120
OB 2T A
J@ 119
B S AT R
JEE 121
B 2H 17
[T A 28, 29, 30

g 21
F AT
WAGE 45

[D]

s 17
ST

A EE 267
HERA &

A IEL 8
ERCHEF

AT EA 7
FEIT Web 7 4%

B 147
T 21
EXE 21
ESUEME 21
MSLA 1, 3, 25
ZHEEAEWS 6l
Z SR

@ 143

[ E]

B AS A
T AR 212, 225

[ F 1]

ViR AT 3 46, 50
RNEHET 46
JSON NI 49
XML NAMAR 48

4k ASCII #4520

ViZ(RED=
A 137

IIERAT
B 111

AFIRAT A
J& 118

i 55 4%
mATHZRE 57

[G]

I8 7 SO
Bt 80

ISR
TSGR 174, 220

SUR/R IS
@ 117

[H]

PR
X451 H 288
TREAE 292
TEIE 294
HERIAE 295
FMriEa 289
SR HRAE 295
LT 288
fEFF 289
BEAF 288
R 288

BT
JEtE 98

[ )]

kR 22

T s i
WIMERA 45

BT
A7 ASMA 2 il e

A
17 1
MRS RA 1
LR 8
BREEE 7
FUPAT 5,9
TR 8
TR 5,6

A G
A EEA 1, 25
WA AT 45
LR 8
kReEE 7
MSLAA 1, 25

149

IHRAZm | 288, 289, 292, 294, 295

AR 5, 6
o1, 25
LR 26
INgEE 62
FAEERERIR 4
FUFHAT 5,9
AEE 63
E#% 25
BT 135
bl = g
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AR () [ L ] VAL R

IR 4o o A 137
iEE 13, 14, 15, 16, 17, 18, 20, 21, AN S S
2 JEE 128 R o4
ﬁlA,T 10 T e s SRS
i 10 JBYE 118 B 273
Python MiIA<Zif| 288, 289, 292, 294, P A5 B
295 TSGR 211, 225
SuperNode i 25 sl 14
WA G i \[ Q]
HiRmE 45 ZEREATE 61 T8
Wk 1,13 WASRE 1, 25 i 291
FIAGH 288 WAL 1 Eh 290
WAATIUF 43 At 65 TrffE 294
T 253 ST 5. 9 i Xi%: 294
PR 13,5 g 28 it 287
TR AR S 75, 6 W 287
Python 7%l 288 AT 25 HpURLE 291
A2 API Vel ST 5. 9 WSl L T30 287
BISSH 37 AT Frzed 29
B 37 RMAEY 43 Al 290
M A 41 iR HIESE 5. 6 fir> 287
LA 4l PRI 290
VB RIS 35 295
SiESH 37 [ M ] TR, Wi, ABRE I 31
W 33 - &EE@I 291
WB 5T BMEWNA 45 e o
2RE 41 B4 57 e
S0 33 HE 20 /Iﬁf%jﬁ 294
s 33 i s
%jﬁ% 3 ZRHFE 56, 57, 58, 59 %?ﬁ:ﬁhﬁzgim
~ ZAZE 59
ig%ﬁ N WARE 45
AT iZ17 IBM SPSS Modeler 55
ARSI 283 parameters 57 [ S ]
g 30 WASE 4H 283, 285 JRtE 144
B 30 FETH A AR AT
f5ld 31 IASE &F 283, 285 JEE 123
EMARIER 43 W AR 215 BB AR A
TEEAGTEY 227 J&E 260
ST 267 WEEE 27
A 149 [ N ] LR
BRH 215 T AR EM 192, 222
gitgtbigtk 61 [ AT A 125 [0 45 A TR
FHETT A @ 107 WA EME 190, 221
@ 255 ARG 46
B R [ P ] P 1) 1] PG 9 p5t
WA R 168, 219 JEE 124
HEF 5 4 i ] 5t P s
JE&E 103 JEE 146
[ K] T 1 B
e @i 113 WA ARG R, 208, 224
ARG RRYE 215 FIAV B B ] R
AR T 169, 219 TSGR 204
w18
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WA A
@ 136
T 4
A E B 285
TR ER DL
AR 253
Bl R 1T A
@ 269
Bl e g 227
KU P A
@t 75
et
AT A 281
FUR/ R EPEN |
MARE 61, 62, 63, 149, 215, 267
65
Bl R A 227
WHAARE 63
HeERE 18

[T ]

FHE PRI
HWAHRE 4
5 A G )
M 4
winEsE 21
T
B 116
MWMESH 5, 61, 63
Stk
B 262
KFE 25
EEAR 5 51
@ 139
EDE A7 &
AR 135

172, 219

[ X ]

ARG

mATHAR 56
L] A

T SN A G il
LR

T SIS 2 i
LMEEE 184
B 28, 30
gl sil

T A5 A G i) e
TEFET A

B 103
2D

TEMARHE A 43

196, 223

184, 221

197, 223

[Y]

FEAAT AR
& 101
EL AR R AR
A4S 2 FR 283, 285
L Al ein]
WA EYE 149, 215
B AR 22
SIHT A 26
A 27
wEEE 27
JH i AT
@ 85
WHhH16
P
JEE 69
ZH 14

[ Z ]

BRI

JEME 115
SCAF I LR

AR 203, 224
HET A

B 142
PATIA 10
PATIRE 25
PATINF

AT 43
T4 10
BN Wi vl s}

A7 S A 2 il e
L STREp

B 128
SI=WI/IREDSY

@ 93
BB &

RY 56

IBM SPSS Analytic Server f7fifi /%% %

59

H 35 J 810

AR 154
H 3/ 2 d Al

ARG R 216
B3R

TR R 156
H 3R

TEMAGEE 216
H sl fE %

J& 108
H Sh L fE B

TSGR 157, 217
FB

TERIASCH] 135

171, 219

FEAEH A
JEME 120
TR
TN 43
FHR 15
TN 43
FHREY 4
1 O
T AR
R A48 765 O
BAHASRRLE 181
A RTRAY
JEME 121

199, 223

A

aggregatenode JEME 93
analysisnode &1t 253
Analytic Server Y47 &4

Bt 72
anomalydetectionnode JEdE 149
anonymizenode J&M: 107
appendnode &M 93
applyanomalydetectionnode JEPE 215
applyapriorinode & 215
applyassociationrulesnode JEME 216
applyautoclassifiernode J&1t 216
applyautoclusternode &1 216
applyautonumericnode JEPE 217
applybayesnetnode J@{t 217
applyc50node J@¥: 217
applycarmanode J&@t 217
applycartnode JEPE 218
applychaidnode J&PE 218
applycoxregnode JE: 218
applydb2imclusternode J@ it 242
applydb2imlognode JE: 242
applydb2imnbnode JE: 242
applydb2imregnode JE 1 242
applydb2imtreenode JE I 242
applydecisionlistnode &1t 219
applydiscriminantnode J&: 219
applyfactornode JE{t 219
applyfeatureselectionnode JE it 219
applygeneralizedlinearnode J&PE 220
applyglmmnode JE{t 220
applykmeansnode Jg&{t 220
applyknnnode JEPE 220
applykohonennode @ 221
applylinearasnode @Mt 221
applylinearnode J&PE 221
applylogregnode @1t 221
applymslogisticnode J&1: 229
applymsneuralnetworknode J&1: 229
applymsregressionnode JE{t 229
applymssequenceclusternode J@{t 229
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applymstimeseriesnode J&ME 229
applymstreenode JE1E 229
applynetezzabayesnode JE1 252
applynetezzadectreenode JEPE 252
applynetezzadivclusternode J@: 252
applynetezzakmeansnode JEME 252
applynetezzaknnnode J&M: 252
applynetezzalineregressionnode J&7E 252
applynetezzanaivebayesnode J&PE 252
applynetezzapcanode JEPE 252
applynetezzaregtreenode JEPE 252
applyneuralnetnode J@tt 221
applyneuralnetworknode JEPE 222
applyoraabnnode J&PE 236
applyoradecisiontreenode J&: 236
applyorakmeansnode JE&}: 236
applyoranbnode J&ME 236
applyoranmfnode J&{t 236
applyoraoclusternode J&t 236
applyorasvmnode & 236
applyquestnode JE: 222
applyr J&tE 223
applyregressionnode JE: 223
applyselflearningnode JEPE 223
applysequencenode JEME 223
applystpnode J@: 224
applysvmnode J@: 224
applytcmnode JE{t 224
applytimeseriesnode JE{t 224
applytreeasnode JE1E 225
applytwostepAS J&E 225
applytwostepnode J&PE 225
Apriori 57

W EAGHEE 150, 215
apriorinode JE1E 150
asexport JEME 267
asimport J&PE 72
associationrulesnode J&PE 152
astimeintervalsnode J@1t 111
AS B[R] 5] B> 5 A5

@ 111
autoclassifiernode J@1: 154
autoclusternode JEPE 156
autodataprepnode & 108
autonumericnode JgE¥E 157

balancenode &1 94
bayesnet J@ ! 158
binningnode J@ 111
buildr Jg@E 159

C

cS0node J@PE 160
C5.0 F¥iA
WA SEREE 160, 217
CARMA il
WA g 161, 217
carmanode JEE 161
cartnode &1t 162
CHAID #i71
TAEA GRS 164, 218
chaidnode &1 164
clear generated palette 7% 46
CLEM
JEA w1
cognosimport i pJEME 73
collectionnode J&1E 136
Cox [A] LT
AR 166, 218
coxregnode J@PE 166
C&R MY
WA 162, 218

D

dataauditnode @It 254
databaseexportnode JEIE 269
databasenode & 75

datacollectionexportnode Bt 272

datacollectionimportnode Jat: 76
dataviewimport JE{t 90
db2imassocnode JE1E 237
db2imclusternode J&1 237
db2imlognode J@it 237
db2imnbnode J&t 237
db2imregnode &M 237
db2imsequencenode JEt 237
db2imtimeseriesnode JgPE 237
db2imtreenode &1t 237
decisionlist JgfE 168
derivenode JE{E 113
derive_stbnode

w95
directedwebnode J&1E 147
discriminantnode J&E 169
distinctnode &1t 97
distributionnode J&{4 137

E

ensemblenode JgPE 115
Enterprise View 7 s,
@t 79
evaluationnode JgE 137
evimportnode &It 79
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Excel {77 5

B 273
Excel 175

JEiE 78
excelexportnode J@{t 273
excelimportnode &M 78

F

factornode J&VE 171
featureselectionnode J@PE 4, 172
fillernode J@1 116
filternode J@1 117
fixedfilenode J&IE 80
flags

HEZ M E 59
flatfilenode J& 273
for % 43

G

genlinnode @1t 174
GLMM il

WSMA G EYE 177, 220
glmmnode J&YE 177
graphboardnode JE{E 139
gsdata_import T @M 82

H

histogramnode J@: 142
historynode JE1: 118

IBM Cognos BI 5 5
73
IBM Cognos TMI1 &35 &5
@ 85
IBM DB2 5
TRAA G E 237
IBM ISW SCIGAR
TSMA G R 237, 242
IBM ISW [a] 54571
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