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BROET, ZFHICE-> T, INSORENHEZINTNENT —IXN—ZERFICHNWEDLE THREL T
<7Za,

*  Windows E72I& UNIX (IBM Netezza ODBC R F 1 /N—ZffH TE/2W zLinux ZR<) £O IBM
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TEED, ROXDITRDET,
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IBM SPSS Modeler A b —A%ZT—IN—ACESRADLDICETTIUREDH DAY T SOFMICD
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DSN Z{ERRT DI, ODBC T—% « VJV—ABIUNRITAN—DOHEAIZHE L, IBM SPSS Modeler @
FT—HIR—=2A%HYR— THDLENHD ET,
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1. Netezza Client @ CD @ nzodbcsetup.exe 7 7 A IIVEFEITLTA A M—F—ZEEL T ZI W, HH
FORRIZHEST, RIAN—%A1 A M—=)LLET, ###lid. [IBM Netezza ODBC. JDBC. HBLW
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—1 » [EMY—)) ZERLET., [F—% Y—Z (ODBC)] ZZEIRLT [BI<I &7V
w27 LET,

b. [AFALDSN] #7%27Uy L Th6. LB 227092 LFET,

2. UZA M5 INetezzaSQLJ Z3ERL. (%71 227Uy I LET,

3. [Netezza ODBC RZ A /)N v b7 v 7| EE® [DSN T arv] #TT. BRLET—% -V
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Windows H—/\—
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gunzip BEX W untar AX > REFHALTY—HA7 - a>T 2V EH#MELET,
FATHERR 2 fhiH S 172 unpack A7) 7 MZEBMLET,

EE Q7O 7 MIEELT, A7 U T MEFETLET,
modelersrv.sh 7 7 TV ZMREL TUTFDITZ2EZHET,

. <SDAP Install Path>/odbc.sh
LD_LIBRARY PATH 64=$LD_LIBRARY PATH:/usr/local/nz/1ib64; export LD_LIBRARY PATH 64
NZ_ODBC_INT_PATH=<SDAP Install Path>; export NZ_ODBC_INI_PATH

A

IrichlzrL£9,

. /usr/IBM/SPSS/SDAP/odbc.sh
LD_LIBRARY PATH_64=$LD_LIBRARY_PATH:/usr/local/nz/1ib64; export LD_LIBRARY PATH_64
NZ_ODBC_INI_PATH=/usr/IBM/SPSS/SDAP; export NZ_ODBC_INI_PATH
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PRI2DZELEBEOLET, LFNOHEZHHL T,
L SRMEHI ) —REAT) ) — BICHERL LT,
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* Pearson : Pearson DAHREfREL - [EH DA I N TNHMIBIEEAKMEOREBO®RE Z2H/EL £7,

* Spearman: Spearman DFHBAREL - E7 Y D OMBNE> THWEEDN LA, EERIZITRHNEEZZ 5N
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FHOBR, LHROF— 58 ) — REEZ EROAN / — RO [F—51] 57 ORslfE 2 HT 5
. COF T a L ERRLET. REREE. HlASHECTHTT,

AAZ L - T4 =)V FEOSTOMM: H5R. Tl BROTOMOKEEZFEHTEHO YL TEHE, 04
Tia pEBERLET,

T4V R REIZHEHAL T, 2OUANOHHZAMORE T ¢ =)V RICFHTEHOAETET, 713>
. BRET =) ROAERBREOREZRLET,

Vd—FKID] ., —EOLI—R ID ELTHEHSINS 74 —IL R,
FHME (AJD: 1 DFERZERO 74—V RZFHOANELTEIRL E9,

Netezza TwoStep A 7 a >
WA 7> a v ERETHIEICED, HRICADETETVOERENAY YA XTEET,

TIHIb - AT a eMHLTETIVEERT 2581, 1971 22Uy 7 LET,
PHEERIE: CONTA—F =L, T—F - RA 2 MHOEBONE HiEEERL £T. HENKE<22
& FEPEDRESAVET. LTOF T2 a > iRbD£T,

o MEBOREE: ZOXEHIFEICXD., BROERSM iZRDOET, EHEZEIIEES AL TVEHDERE
L. B3 —BEEZEMILTWA2HDOERELET., IXRTOEKIIMILTNDEIHDEREL
‘i—a—o

e A—2Uyw R:a—27 Uy RHEIEIL, 2 DDFT—% - "1 > NEOERRERETT,

o FHEL—2Yw F (Normalized Euclidean). [FH¥{t1—27 U v REIEIZZ—2 U w REIEIZHERBIL T
WEITN, EHEEREICE > TERLEINET, 2—2 Uy REEEIZRAZD, EREI—2U v R
MEFIAT —=INAETHHDET,

DIAIE, ZDONTA=F—F, fERT BV I A —DREERLET. UFDA T a b £d,
s VA BEHIMICEHRE, 7 7 A ORNPNHBNICEHEINET., THRKl 74 —IVRTRRZ T A
IREEETEEXT.

« VIR BEEE. BT D7 TAYDREREL LT,

Hial: CONTA—=F =13, EFTINVICEENIHFOEEEELFET., LT T a nNboEd,
o IRTI ., FNBEHELZTNTORMEEEICEELZIXRTOFKANEENET,

H: SONTA=Y =225 EMEFORRENGENDD, PATLDINT +—X L AITHETS
BEMHOET, ETINET T T4 VB TERLZWVWEEE, U] 2HELET,
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o THI . FNCBEL st E ENET,
e RU: EFINDOAAT Y I EREEFTOANEENET,

FRZEBL: S8 L - RERELTHMEERT IS8, Z0Fzy 7 - Ry 7 AZRBRLET,
BEZHRET DN THER] 2210 v7 U TEREORLELEZIERL £,

Netezza PCA

FEG T (PCA) 1. T—F OEMES 2T D72 DICKEH S NN e T —ZHIER T, A7«
—I)V ROBAEEDPRE SN T, RODVEWITERT S LAWY HEIC, 74—l FOoty h&f

DRWEILEET LDITELEET, EE5DFETH, TOANT 4 —IVE - &y b OFRENRIITELR
T%Q&@ﬁ%74—»%(£@ 1) ORHNHEETT,

Netezza PCA 74 —=JVR - AT 3>

(T4 =)V R] ZTT, EFEO/—RTITICERINTNWDE T 4 =)L ROBEZREEFEHT SN, FEHT
T4 =)V ROED Y TEFTHIMEERLET,

ERFAORBEMH, LEFKOT—F8 ) —R (FRIETIEROAN/— RO =58 ¥7) OEEIF
E 5. PHlZRE) 2EHALET,

HAZ L - T4 =)V FEOSTOMMH: ZOEETHR, FHl. BIXOAZOMOEE % FEHTE DN TSY
G, IOF T a EBERLET,

T4 —=)VE: KEIRY > Z2FHL T, ZOYANOHEHHZEEAMOS I FHE T+ —)L RICFE#TE|
DYTET, 71 a0E B&RET 4 — IV ROFNBHEDOREEZRLET,

[TRT] RYZET7YUY I LTYUARMNDTRTOT =)V RZEIRNT L0, RAEIEOREORY > %
70w 7 LT, TOHEDREDTRTODT 4 —)L REBRLET,

Ld—F ID] . —EDOLIJI—R ID ELTHERAESNS 74 —IL R,

FHE (AJD: 1 DPLEOT7 4 =)V RZ2FHDOANTEL TGEIRL 7,

Netezza PCA ERA 7> 3>

WERRA T2 a) 7T, ETIVEHBETLIIXRTOA T a R ELET, %E%h M2f71 A+
BRI ITEE, TRTTFIHIVE - F T2 a > OEFIVAEEINT TN, @BFIL. ThEThoH
W TIERRZ I A <X A XTH0ENHD FT,

PCA ZEIRTBHICT—¥ 28T 5: (T 74V ZOATaawFoy 7 LESBE. FEIC
—9®t/9u/7%(itif$ﬁ@M%J)%%ﬁbi? At A ) I/ = %1zﬂﬁ\#
BADDO AN ERLIRT D I EERIET HEDITHETY, £ TRWER., RODT—F OFHfEIC
BREIHELTWAEERH D ET, T—FNT TICZDHETHEINTWDEE, BH/NT7 4 — 7/X
DR EDEDIEFICIDF T a L 2E\HITLET,

PCA ZEHETIHICT YDA —) VT 2HETTS: ZOF T aid, oEilcT—F DA r—1) >
TEITVWET, 29952 ET. HIOEENEBLENTHEINS EE, PN EREBENTRNWEDICLE
T, ROHEMAEROT—Y DA — > 713, TOEERETEERZNET LI EICK>TEBTEE
-g—o
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PCA ZiIRTHHENMES o T O mdERGIEZMR: COF T a3, 7IIVaYU ZLRERD &
WOT2KEIIME< R0 EIN, K0E#ESRSE (forceBigensolve) ZfiHT 2 Z LIT/RDET,

IBM Netezza Analytics EFJILDEIE

IBM Netezza Analytics E7)L1Z, fidd IBM SPSS Modeler DETIN DL D IZF ¥ ONABIWN TE£F))V]
Ny MZEmEn, BEAERUESITHATEXT. /L. IBM SPSS Modeler HI TS 1172%
IBM Netezza Analytics EFT IVZERICIZT —F N—R « —/N\—EIT 355:[‘:7‘:)1/’\03"%5‘3'(37)6@ ED,
HEBENW DN DONHDET, A KUY “A%Eb<%ﬁ€é’d’ét&) 2id, BETIVIMERE N T — & X—
WCHERTHBENRHDET, T T7—INENBT O ZICKOEREL TIWITER A,

A7 Y% IBM Netezza Analytics EFJb

EFME, FYoONZALETEEOETIV - FT Y b - TAATRINET, %E;b@;@ﬁ%m‘?~
H&EAAT7 )7L, FHIZER, £RE3TETIINOTONT 4 —OFMs i ZErfEICT 5 ETY, A
T, 2Oy a s THRTEHEIIC. Ty MNMIT—=TI) - J—REEHL., AN)—LDZEDT T
FEETTHIEICESTRADED _T% EMTES, 1| DUEDBMT—% - 74—V ROEKXTIE
mEnEd., 7o2arvy =RV —DFA 707 - Ky 7 ZiE, W< DNDOF7y k¥ 170
TiRw 7 ZZid. SSHICETIVORBENERRZREETZ £V ¥ T70RHDET,

BINT 4=V RIE. W57 4 =)L ROARNITEMS N/ FEEER $<id>- ICXo TRBIENET., <id> 13T
FINZEK->TRRZD, BMSINDEHROBEZHN L 9., SETIEHRHFITONT, ThENOET
Ve FT Yy O NEY 7 THIHINTWET,

A7 %FRTDHIZE. ROFNEEFEITLUET,

1. 57— 7N/ —REZETI)I - F7y MTERLET.

2. =7+ /J—REHEET,

3. T35 22 Uvw I LET,

4. T—TNWHNT 4 O ROOABICAZO—)L L, BMT7 4=V RETNEDZAATEFRLET,

Netezza €I - 75y bD TH—=/)N\—]1 47

J—N—] ¥T7Tld, ETNOAAT Y TH—=NOF T a %3 ﬁ?‘é ENTEERT., LRICHEE
SN —NOEREENT S0, ZITHRELENOT —IN—ARLT—YEeBH T2 EMNTEE
—g‘o

Netezza DB H—N—Offl: 2 2T, EFINWVICHEHT 2T RXR—ZADEHEDOFMEZREELET,

o L0 ZMEH: (T 74N TIXR—ZAAN/—RiE, ERO/— RTHELZEROFEM %
FHLUET. 7 : ;@17/3/@ T«T@tm/ RN SQL TwaNy 7 EFHTELHEIC
DHENTT, TOHE. SQL MERICTRNTO LR/ — R2FERET LD, T—IRXR—=2ANDT—%
=RET 20N EITH D ih‘/u

s BT AT —AEB I TCLTT—IR—AWT—IaBEHLET, 7Y EBEHTHEITXD,
T—FNHOD IBM Netezza T—F N—A, OXRF —DF—FRX—=2ZHBEHE. £FT—F N7
Ty b TN HIGEETHETY DV EFEFTTEDLEIIICLET, £/ /=KW SQL Fvia
Ny T Z2EZT L TWRWEDT =N EINTWARWES, T—YIE 2 TIRESNZT—IR—2Z
WRINET, #FHesl L CBERT 21213, THEl A2 20 v 27 LEd., IFE : IBM Netezza
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Analytics [JAHEIEWICKENWT—F - £y FPTHEHASINET. T—FXRX—A[M, £LFT—FX—AN
ML DT —4 BT 2 DIZIEE RN NN 256035 5720, FIRE/RR DT 5 2 &L &2 BEID
L&Y,

BTN BETIVOLEL, ZOLAFNTEAHERICERINET, I THAHIZEET LI LI TEER A,

Netezza 7«4 >>av  -YV—-EFI:-FF5vy b

FTa4vary -V)—-EF) - FFy TR BFY CTEBEEOHNEERL, EFINVEZAATY T
L5720DA T a EBRETHIEHTEET,

FYar VY= EFFT) c FTF Y REEGOARN)—LAZETITDE, TIHIIETIE. /J—Rid 1D
DFHLWT =)V REZEMLET, TOL4EINHE. NRLICHEL ET,

#16. 74>2a> -V U—DEFNZATI T« T4 —ILK:

WBINT 4 —)V KD 4Hi =k

$l-target_name HEOL I— ROFHENIE,

TV J—RFEFEEFETIN - FF Yy T TLA—FROARAATY IV FZICEHO LS TENEZY 5 ADMHER
2l 5] ZERLEGE, S5ICT74—I)VREBMLET,

FI17. T4>Fa> - VU—DEFTIINATI T« 70—V R - Bl

BT ¢ —)IV B D% =k

$IP-target_name FHIOHEE 0.0 ~ 1.0)

Netezza T4 >3y -VYVU— -TEFI] &7
TBF)V] #T712E, T4>Pa> - VU—-TF7)I0 ITHBOEEE ] N5 70 hIVERNTERSIN
F9., BOEXIE, PHEOEEEZELTHET,

7E: IBM Netezza Analytics /N—23 > 2x BT TIEEL TWAH/AE, T1>2a> - VU — - ETILOW
HETFA ML TOAEREINET,

INSON—=2a>0ha, UFOERNERINEKT.

¢« TFAROETIR. /= RERLFEITHIEL TWET,

s AT RREYVU— - LRNVERBLET,

« J—ROBE. DEORHNPERSNET,

« EOHE, BIDETOENLY TADTNIVINERSNET,

Netezza T4 >>ar -VYVU— - IREI 97
[BRE] AT T, BTNEAAT) T TH20DF T a2 RETETET,

ANT 4=V RZEOEIRTDE, TDODANT 4=V RETXTFRIZEL., BINIOETY S « 74—
W REF=YDETICHRMLET, CORY I AEFTICTHE, LOA—R ID 74—V REBINOET
V>« 4=V ROANEINDZD., AR —LNLDEIETEINET,

LA—FOAA7Y L TICHONTOENEY TADHRENRTS:(T 2P a> - VI —BLY Naive
Bayes D) EIR LA, ZOA T a3, BINOETY 27 « 74 =)L ROHERE R 74— R
DEMN, FHIT 4=V RE2EDZZEEBRLET, ZOFv IRy I AELTTIZTEHE, FHIOADT
4 =V RPEREINET,
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WERANT = DEH, ZOF T a  BNBBIREINEHE. RICE2—DEBO/NNAEFEITTHTNTD
Netezza 7))V I YU ZAMENACHEIZFUCT—% Ly b2HEHTHEIICR0XT, JFRENT—F N
FHINTNWSIEEZRTEDICZOF vy Ry VAU T7$5H5E, T—FRX5 /) — Rk > TERK
INBHORE, WHTETF—F N ERET 2 —RT—TIMERSINET. ZOTF—7)WE. EFILD
TERRBRICHIBR S NE T,

Netezza T3> YU— F5y b -TEa—-71 497

MTEa—71 #7123, SPSS Modeler TTF 4 > a > YU — EFNNERENDDEFULET, VY
— EFINOVY— TL¥rTF—Ta nERINET,

H: ET IV IBM Netezza Analytics /N—3 3 > 2.x DAl CTHEINTWS G, TEa—71 ¥ 713%E
T—d—o

Netezza K-Means £FJ)V - 4 v b

K-Means EF7)L « 77y M2, 79 A —(LETINDREHELZTRTOEHRE, FEHT—F EHE T O
T AT A ERNEENET,

K-Means 7)) « 77w hZ2EGOA M) —LAZ2ETTDHE, TOLI—ROFREZ AV —EED K TS
NI —DHLINS DFBEZED 2 DOHH T 4 — IV RNEBMEINET, $KM-K-Means &5 44
HIOHHR 7 4 — IV RIZFRE 27 5 AZ T, $KMD-K-Means & WD ARTOHFIR 7 4 —IV RiZ7 5 A5 DL
NS OEEH T,

Netezza K-Means v b - T®EFIV] 97

BTV 7103, VIAY—D7 4 =)V ROBKHA BB IO A ZERTDHEEDT T 7 0 v I ER

NHVET, ETNNST—FEITVAR— LD, Ea—20F7T74 v ELTIVAR—FLEDT
HZEMTEEXT,

IBM Netezza Analytics /N—2 3 > 2.x LAETTEEL TWA G, H 5 WIXIEEEHE & L T Mahalanobis %
FHLTETINEEET Z2HE1E. K-Means TTI)IVOARIETFAMER TOAZRINET,

INSON—23 COEE. LFOIFERNERINET,

o THtOER] . BN TAY—BIXOEKRY TAY—DHEHIZDONWT, MEtOERKICL I— RENE
RENFET, FREHOBER ITIE, TINS5V ITAIY—ITE->THEEINST—% - vy hOEELHE
RENFET, F2UZARMIE BRI TAY—INEIRINT TAY =TT B2 A LN ERINET,

o DIAFYVITER, VI AZY TEKE, TIVTY XALATHERSNZ AT =N A REINE
Ty BT ITAY—ITDNWT, 7= ITAY—DLI— R, ZTNH5DLI—RDU7 I XY —H
DS OEREEENFOR I NET,

Netezza K-Means €5 IV - 75 v b - I8REI 97
[(FRE)] Y TT, EFINEAATY T TBH200F T a LR ETEET,
AN T4 —=IVREEDDEBINT D E, TOAN T4 —IVREZTXRTHRRIZEL, BIHIOETY S - T4

— N RETFT—YDOEFICHRMLET, ORI AZFTIZTHE, LI—R ID 74 —)VREBENDE
FTUT e T4 =)V ROBMNEINSZD, A M) —ANKDELIEfTINET,

PHEERIE T —% - RA > PHOEBEOREITHEH T2 HETT, HEEENARKEWIEE, HENKERDE
o AT aliFROEBDTY,

« A=Yy (T 7#)V ) 2 AHOERET. TNSEZEMRTHESRIEICE> TIHEINEXT.

* Manhattan:2 S OHEEL. 05 OEEROHESERHOGFHE L TRHRENET,
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+ Canberra:Manhattan OREEEEFE U TN, FAIZHEWT—4 « R > MR LU TR OEENE < /2D F
3—0

o KM 2 SREIOERET. EEEORTITN > 2N 5 DHEORREE L TEHRINET,

Netezza Bayes *v NT7—JDETIV - FT7 v b
Bayes Net OETIVFT w ME, BEFTINEAIAT I T T500F T a a2RETHFRERMEEL £
ED

Bayes Net €7)L + 77 v 2B VAN —LZ2FETT2E, /—RE 1 DOFLWT =)L REBEML
£9, TOHANEL, HEAITHEKL £T,
#18. Bayes Net DETINZAAT I >0 « 74—V R

BT ¢ —)V RO =1
$BN-rarget_name HEDL O3— ROTFHIE.

ETINFT Y MZTF—TIV « J—REHEHRLTED ) —RE2FEFTITHIEICKD. BINT 4 =)V RE2FERT
HZEINTEET,

Netezza Bayes Net 7'y b - 8%E1 97
(&) 77T ETINVDORAATY T DA T2 a eRETDHIEMTEET,

MG BIEOMREIZRZLIZRAET 4 —IIVREAa 7Y 27 LIEWGEIE, T2 THLWLWREZERL X
EE

[Vd—RIDl . LIO—=RID] 4=V RBBESINTWARNWESIE, T THEATS 70—V RE
BIRLTL7ZE 1,

THOREE: FHLZWTEIZILIY ZLAONY T— 3 2,

o Il (RBMHBET2ER: (T 74V b HEEOEWIER  — RE2fEHL £,

o B GEBEOQEALTZ PH): TRTORRE/ — ROBEAETFHZFEHL THET,

« NN B (null IS OERE): NULLEZFFD / — RERET 2 E 05 fE2RWTIE, o4 7 a > &
UTY (PHIDEEIND A A > ADORIEBHED S 2 EHEICHIET S/ — R),

ANT 4=V RZEED5BIRTIHE, TOANT =)V REZITXRTFRICEL, BMOTETY T« T4
— )V RETFT—=YDOETFICHRMNLET, ZORY I A2 FT7ICT5E, LIO—R ID 74—V REEBINDOE
FTUT e T4 =)V ROAMNEINDZD, A M) —=ANIDELETINET,

Netezza Naive Bayes DETF IV - 77 v b

Naive Bayes ODETI)IVFTy ME, ETNERAIAT Y T TH50DF T a 2% ETHFEEREMELE
—g‘o

Naive Bayes DET I « F7 vy hEEFOA NI —LA%EFETTHE, 774V NTIE. /J—RiZ 1 DOHL
W74 =)V RZBIMLET, TOAFNEL. WHRAITHEKLET,

#19. Naive Bayes DETIINAAT V20« 74—V R - 741 :
BINT ¢ —)V RO 2k
$1-target_name BHEOL I— ROFHEIE,

110 1BM SPSS Modeler 17.1 F—F X—ANIYA =7 « HA R



EFUT c J—REFFETI - FFYRT [LA—FORATY L FIZEOLTENEY 5 ADMESR
2T 3) EEIRLEEE, SHICT74—)VE%E 2 DEMLET,

# 20. Naive Bayes DETIVAIAT ) >0 « 74—V K - iBJ:

BT 4 — )V D4R Rk

$IP-target_name A A 2 ADYT T AD Bayesian 73T (RiD YV T ADHE
REFMENEDA DAY > ADBIEEDHERDFH),

$ILP-target_name % D HARRHEL

ETINFT Y MCTF—TI s J—REHEHRLTED ) —R2EFTTHIEITKD. BINT 4 =)V RE2FERT
HIEINTEET,

Netezza Naive Bayes 7'y b - IR®E1 97
(B 7T ETINOAAT ) TDA T a aRETHIENTEET,

ANT A —=IVERZEOEIRNTDE, TOANT 4 —IVRETXTFRICEL, BIIOETY S « 74—
NWRETF—=YDETICHRMLET, TORY I AEFTICTDHE, LI—R ID 74—V REBINOET
U227« 74—V ROBMEINDZD, AP —L0NEDEIEFINET,

LaA—FORA7Y L TICHOBTENEY TADMREFNRTD(T 42 Va > - VU —BXY Naive
Bayes D&) BIRLEE. 20T a3, BNMOETY 27 « 74—V RDMERE (HR) 74 —IVR
DIEFEMN, FHIT7 4 —IVREEDHDIEEBERLET, TOFv IRV I AEFTTICTEE, FHIOAD T
4 =)V RDVERREINE T,

MENEEZBRESHOOHZT—F Y FOMEORKEZN LI ED: ROFER, Zo4 72 3>T
W HEERFIC 0 ORELZEEET 2D m HEEFHENEH SNET ., ZORBEOMROHETEIL, HEIME R
HTEMBYETN, MEVKLRBIIEBTRODOHZET -5y MICKDIWFERELEZ 2 ZENTEE
‘a—o

Netezza KNN EFI)V - 745y b

KNN OETFIVFAy ME, ETFINEAATY T T572004F 7> 3 0 2RETHDFEE2RMLEL T,
KNN EF)V « 7y h2EGODA M) —L2EGTTDE, /J—RiFZ 1 DO0HLWIT o —ILRZBIMLE
T, TOHAHNT. HRABITHFKL T,

#21. KNN DEFI) - 2aA7 >« 70—V K

BINT ¢ —IV RO 1S

$KNN-target_name HWEOL I— ROFHENE,

ETINFT Y MZT—=T)b « /= REHEHL TRO/ —RZ2FETTHIEITKD, BT 4 =)V RELRT
LT EMTERT,

Netezza KNN >4y b - I5%E1 97

(RE] TR, EFINORAAT ) T DG T aeHRETHIENTEET,

PHBEREE .57 —% - RA > NEOBEBEOHEICHEAT S HETT, HEENKZIWIZE, HENKEIL<ADE
T, A7 a3 RO EBDTT,

e A—ZUw R(T7#)VH) 2 HEOHEEET. TNSZ2EMBTHIZEICI> TEHEINE T,
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e Manhattan:2 i DORREET. %?LB@VJH@F@O)'@?TEE%E@A%& LCEHESINET,

+ Canberra:Manhattan OFEEEEEIC T, FHRITEWT—4 « "1 > MIH LU TEXDEENE LD E
R

o KM 2 MEOMEEHT., BEOXRITIZHST=FN S OMHEORKEE L TEEINET,

BOEBEEL (k): REE DT — AR O, KOKRSREOEMBEHHT2E, 4T LHEHRKETIVAME
REND LD EH A

EBEINTDZZEICED, FA—N—=Ta v b B T )4 ZXDEN] T—YOHEEIIEELRBENH D £
) ORIk &Rk (REEDA DAY > AT B ESLTFHE) ONS O AZFELET, &5ty T
LIk O (EIE 1~ BTo#HpH) Z2iRET20ENH D FT

ANT 4=V REEDSRBRTIHE, TOANT =)V RETXRTHNRICEL, BMOETY T« T4
— N RETFT=YDOEFIHRMLET, TORY I AZAFTIZTDHE, LI—R ID 74 =)V REBENDE
FUT T4 —=IVROBREIND2D, AN —ANLDERLIEFINET,

P E PR B RICAE M2 L EBIRLHE. oA T2 a i3, BElEOMZFE T 2 a7 A
N7 4 =)V FOREZFFEEL FT

a7ty FEEHLU TKBERT -ty FONT = U AZ0 LE3ES: 2047 a3 2id, KB
Tty FEFEAT ARG, SHEEZEELTSEDICaTY Y N - T Y T EFHLET.

Netezza PHERISRAYY I IDETIV - FH v b
DY SAZ L E. BEFNEAIATY L IFB-00F T a s ke s FRERELET,

BRI FGAZN T« 'TI) - FTy hEFGOARN—LZFETTHE, /—Rid 2 DOHLWT 4 —)b
RZEMLET. TOAHNL. MRAITHKL KT,

K22 AT IZZ) 2 TDETI - AT VT« 74—V R

BT ¢ —)V RO AR FEU S

$DC-rarget_name BFEOLI—RNEIDBTENTWEY T IAY—D
AT

$DCD-target_name BEOLI—ROY T 7 725 —dulin & Ok,

ETINFT Y BT =TI - J—REHEKELTERO/ —REFETT2IEITKD., BT 1 —IVREERRT
HZEMTEET,

I%wuaﬁ§95Z9U7ﬁ7ﬁWF-rﬂEJ97
WEI YT T, ETFINOAATY DA T2 a 2B ETHIENTEET,

ANT 4 —=IVREEDDRIRTDE, TOANT 4=V RETXRTFRICEL, BIIOETY T« T4
— N REF—YDOETFICRMLET, ZORYZ A2 4712975, LOI—R ID 74—V REBNMDOE
FYUT « T4 =)V ROBNEINDIZD, A M) —ANED BRI EFTFEINET,

PREEREE T —% - RA 2 PHOHEBEOREICHEA T 2 HETY, HEENREWIEE, HENKE<ARDE
T AT aliFROEBD T,

c A=Yy (T 7#)b) 2 AHOERT. TNSZEMRTHESNZ EICE> THREEINET,

* Manhattan:2 SHEOHEEHL. N5 OEER OHSEROGFHE L TRHRESNET,
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o Canberra:Manhattan OFFEEEFEIC T, FHITEWT—4 « R > MR L TIOEERNE D E
‘a_o
o K 2 SEOEENT. BEOKITCIZH TN OHEORAMEE L TEHEINET,

EIRIR LA )V: 5 — 5 1T 5 B85 BHIED L L,

Netezza PCA €FI)IV - 745 v b
PCA OETINF7y ME, EFINEAATY 7 T572004 T 3 Z2RETHFERERMEL T,

PCA EF) « 77y hEEDA RN —LZETTEHE, TIHIETIE. /—FRid 1 D0HLWT 1 —)L
RZEBMLET, TOL4EIT. HRAGICHKLET,

#23. PCA DETI) - X7V« 70—V R
BINT ¢ —)IV RO AR =y
$F-target_name BEOL d— RoFHlfH,

ETUY )= REREFBETI - F7 Y b TEEERGOR..] T 1 XDKRSWEZERLZHE,

— RIERATH LT 4 —IVRZEMLET, ZOHE. 70—V RAIKIT n OBEFMIEET, 2
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