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H: A2 UTh - RRIIVOIBTA Y —LZFTLTH, AU T - XRIVDOAIZY Tk - A2TFA
FMILEEsNFEAL, TOEFTOMEL THERESNAEZLZROMEIL, A7) T b - 1477 NITIFFERS
NEHE A

AMY=L -ROVUTPOH| :Za2a—=FI)V - Xy NT—ODFEH

AR —=LFEFRKFC, Za—I) - Xy hT—7 - TFIOFEICHEATEET, @%,. ETIVZ2T A+
TBHITE, ETFIVMER / — RZ2FEITLTETIINZA MY —LATEML., @Y 2L L T, KBESH/
—RZFEITLET,

IBM SPSS Modeler A7 U7 h&fHT 5 &, T - F7y MEREDOT A b 7O Az HEETE X
T, HIZIE. TF - AU —LA druglearn.str (IBM SPSS Modeler { > A ~N—I)VD F®D /Demos/streams/ 7
FNT =) 2T ART2RODAN) =L« AZ YT ML, [ARY—L4A-TONT 4 —] 4707
(=) > TAMY—20TanNF 4 —] > TAZYT b)) TEFTTEET.

stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)
stream.linkBetween(appliernode, typenode, analysisnode)
analysisnode.run([])
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(27> R7a> AZUT R 14707 « Ry 7 ATIE, 7FAK « 770V ELTRESND AV
TREERLZOWELZDLET, 2OF¥ 1707 - Ry 7 A, 7y AIVEARERSNET, A7 Y
Thoo—R, f#EF,. 1 2R—b. BEOEFOEENMED> TWET,

AF ROy AU TROYATOY - Ry 7 AT 7B AT5I2IE
ALY+ AZa—ME5ROFZ{EHZRINL X
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AHR7Oy AZUTRTIE, ARU—=A AU T RERUY—=IN=ZAT VT2 TR
BMEA T a 2lHTHIENTEET, FLE FEYIZRX=DD TZARY—A - ZAZUT h |
EHBRLTLIZEI N,

AREZ 7Oy ROV T PO - ETFIDOERFEEO—R

ARy AU T ML, AN —AZEBETLHIEZIIEIEET, 2 HEOA N —LAND 256
ZHEELET, 1| DIFETINEERTHSA NI —=LTHD, I 1 DIV I T72FHLTHRIDA N —
LEEDOT—4 « T4 =)V RS AEREINZI—I) - vy FERRTEZAMN)—ATT, ZOHEDAY
PRyOYy AU T MIROEDITRDET,

taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/16/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now Toad the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
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model = taskrunner.openModelFromFile("rule.gm", True)
modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType("derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect(plotnode)
modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.run([])

H: A2 VTN MRIIOVWTIE, (A7) T REEOMEESBL T /Z3 0,

R R78Y ROVTDF] : 7 4 =)V FEIRETIVDER

ZOFITIE, EOEENS T 4 — IV RBEBREFTINEZERTDAN) —LZHEL, TOTTIVICHEAL T,
EINEHRICHEET LI EHEEL L 15 DT 44— IV REERERTET—TIVEERL ET,

stream = modeler.script.session().createProcessorStream("featureselection", True)

statisticsimportnode = stream.createAt("statisticsimport", "Statistics File", 150, 97)
statisticsimportnode.setPropertyValue("full filename", "$CLEO_DEMOS/customer dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response 01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature Selection", 366, 97)
featureselectionnode.setPropertyValue("top_n", 15)
featureselectionnode.setPropertyValue("max_missing values", 80.0)
featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important label", "Check Me Out!")
featureselectionnode.setPropertyValue("criteria", "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream

applynode = stream.findByType("applyfeatureselection", None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96, applynode.getYPosition())
stream.link(applynode, tablenode)

tabTenode.run([])
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execute 'Set Globals'

execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'
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V— bR DFOWTNADA T a s &@IRT5 ik, MR Y « —IL RE2FERAICY — K
THIEMTEET,

s T T—4% ARU—LNSHED /) — RIEINZIEICE T 4 — IV RERRLET,

o fHl: £ 74—V RETILT 7y Ry MEIZY—RFLUTERLET,

c IALT BTNV REREOREIRCY — LU TERRLET. HREORED T + —)V R&#IRNT 255
IRILB KT,
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UZARMSE T4 —)VRZ 1 [EIZ 1| DT OEINT A, F/21F Shift F—F7/21F Cul F—Z2LanNsHE
BOT 4=V REREINLET, £/, UARDFORY D 2HHL T, REICEODWTERD T + =)L RZ
BIRLZD, =TI HOITRTOT 4 —)V RZBIRFZIERFERT D ENTEET,

BIRAIEEZR 7 0 — L RIE, AL TWA AR —L « NTA—F—F =3/ — R - TONTF 41—z
4=V RDANERINDEIICTAINA ) O TINTWEZECERELTLEEWN, flziE, AL —
DAL TRLFHDA R =L+ NTA—F—ZHHLTWAEEIE. A NL—2 - A1 TIFEHND T
A4 — IV RDOANERINET,

A MY —ATOFRHGFERTT

FUMEETTIE, ERXTHA MY —LNEO—BEHFITHEDONWT, ¥—IF)L - /) —REeETTLHEE
flEcExd, FlZIX. LFOLDICTEET,

o fREDMEN true 2 false MITHEDNWT, /—REETTLHINEDINEHIFET 2,

o J—RON—T%iFT L TETT D00, BRICETT2DONEERT S,

Wz NESMZ, APY—L0 [F7) 7D & 9T TTRELET. $TITE2RRT DI
E DV—=TIEIMT &7 ETE—-REERL I,

EFT DEMAEETEMET. DV—TIFRMEFEFET) BT T RARESNTVWSEHEEIE. A MU —4
FEITRHICAENCRDET, A7 a > T ZUEMEERTEHROZAIZY TS - O—REEKRL T, A2 U7
N ZF 4 7 —ICBOMIF B ZEMNTEET, INETOITE. &M YT TOETHRICHS THEO AT
Fd 22U I LET, AMD [EfF) FTOERN [FIHIVE AT ary AZ2UT b)) EfFE
—RERRTDHEHIEDD, AV VTN TOEHRICEREINET, DF0, AVUT KI5 45—
T A <A XAJREIR A7 ) T N 2AERT ZE1C, Y1787 - RV ADIEIEHIN—T -+
a EFALTCREEZERTEEY., MOMT.) 220y 0358, RSNz A7 ) 7 MNE, &
ZLEN—TEEHERINDZEITHERELTLZS N,

&Rty N7y TSI RN 2ITNWET,

1. &) 75 TOHRMOIT BHHESEOBM Ry > 22w LT, I&EFROBE
) #4707 Ry A2MEET., ZOF¥A 70T T, /J—RE2ETT DD THEND 55
thzEfEEL £,

2. T&HEFOBM Y1707 Ry VAT, UFOA 7> a zEELET,

a. J—F, &M ERTEHRETD/—REBRLET., ZIRAY 227y LT I J—RER] ¥
A7ar7%ziE, HHO / —RZ2EIRLET, UARINTWSE ) —RNELTELHREIE. TV AR
—h- /=R, ¥57- =R, BEFUY - J—R, TLEHEN/—RowTnhrohs3Y -4
W/ —REHFRTHLIIZ, BRETAIVAYY T TEET,

b. &UEOIME, ) — REFETT L0 THERNDDEMEE2BELET., TARY—4H NTA—
Hy—1 ., Za—=nnv2EH . TS—=viiht)v) . 7213 THIZ Truel ® 4 DOF T3>
DONWTNMN 1 DEBIRTEET, ¥4 707 - Ry 7 ADOFESICTANT 2T, BINT 55408
k> TEARD T,

e APU—L NIFRA—=HF—, FHTERUYZARNME/NT A=Y —ZRINLTMSE, TD/NT A—
Y—@ R 28R ET, #lzE HEFIT TXDREN] . FHLWw . TXko/hx
W), TR Z2ETY, KT, EBEFIINCT Ml 7. R/MEBXORKEZANLET,

o O—NVER., HHAMTRERY A MNSEREBINLET, FlzE. ey . 183 . TR
IME] . TERRME] .« £7213 DEERZE ] N A MIEENTWDEREERDH D £, KIT.
MEE T ENEEZ BN £,

F1wE Az eI ERE 11



o« TNV, HEHATRERY A NS T—T ) - J—REZRL T, 7—7)D 7] &
Mg) @R £9, Kz, NMERETF) SOBERMEZERL ET,

o #WIZ True, / — REWIZETIHDHENDDELEHIT. ZOF T aaBBRLET, 204 T
a >EBERTHEEIT. SSIGBIRT AT A5 —13HDEHE A,

3. WERTRTOFHZRETDHET. ATv Ty 1 & 2 20hERETHRORLET, BRLEZ/—R
L. J— RWNETINDENTTZTRELEN, BT Y TORMEEE O 1977 — K1 FlE. O
EEM FEOBGITMERE)) FICFERINET,

4. TITHIVKRT, /= REFHREERINTVBIEICHEITEINET., /—RELEBZV XA NATLEERZIZ
TICBET 51213, /—RELFEEZIZY I UTERL, Y75 TOEMOINCH 2 ERENTEZIZTR
FlzfEHL CEFZ=ZEELEXT,

I5I. &M TS TORRICH LU TOF T a P &RETEET,

o IRTZIAFRICHAM. ZOF T a3 id, BRUEET T TICERINTWSIERF TIHMEiT 555105
WLUET, £UEN [True] DITXRTD/ — RiE, TXRTOFEENHEHEINTNS 1| BETFETINE
7,

o —JEIZ 1 DFOET, [TRTEZIERICHM NBRINTVEEFICOAFEHATEET, 2047
> EERTDE, U [True) EFHESINDEGE. TOSFMICEBEMITSNTNDS /— Rid, RDE
DM S N D ETCEITSINE T,

s IOy FETHM, ZOF T 3 Z2EBIRTDHE, FHEELESLHENS [Truel DFEAMANE S NS5
D) —ROBMEFTINET,

AU T bDRTTE TR

FOMEZ L OFHETAIZY) T hZ2EFTTEETT, FIZIEX, AMI—A - AT EREFAY O R7OD
AV TRDIAT7ATT, [ZOAV VT R 7] RY =)D E, ZEREAV ) T N EET
LET,

(2]

K1 TcoxrU7~NeEEF) Ky

DRIRU72fT) Ry 27 Vw 7358, AVUTRNTERLE | 752E3BETTOTOy 7 2%
TLET,

>

K2 [BERL={7EET) A5

A7 U7 FOEFIE. RONWTNNDHETIHTWET,

e ARNU—AL - ZAVUTNERIZAY > R7OY AU TROYA 707 - Ry AD [ZOA7Y T K
ZHEIT) RF TER L7257 220927 L%,

s TIAINBMDOEFTHEELT TZOAZ VT MEFET] DHEESNTNRDHA R — A%%ﬁ?é

« BEWICAZHTUF 4T - E—RT -execute 777 2HALET. #L<IE FEY s X=T 7
[(O=C K- SACHBROBER EBRL TS0,
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H (=)= /=R ¥4 707 - K"y AT [CZOAZYTF2RET] Z2ERLTWDINED, A—
IN— /) — R« 27T NE, A—/8N— ) — ROETFRRICETINET,
227 ) T NEFOHE

[ZARY =L AZUT ] 4707 « Ry 7 ZADY—)LN=IZH DR IERY %, A7) T MERT
BRCAHEZNCRDET, ZORY U Z2EHTHE, AU T RBEIOCHEDA N —LADETEHIETEHE
WTEELT.

mELEHR

MRZER) Y170z Ry 7 AE. AZUT s 544 —, CLEM RENY —/E, AZ7YU T %

FRRXOTFTFA N ERETIHE, FLELAR—K J—RTF > T L — b 2EETIHEAICHHATESE

T, INSDEBONTNNTTFARNERETDHE, Ctrl + F F— Z2HLTHYAI 700 - Ry VAL

TOEAL, H=YNNTFF A MEBIC T+ —HAL TSI E2EERLET, (T4 0¥ —] J—RZ2f

ALTWaBHEE, FlzIX. TRE] 7072 MEENS., F£/21F CLEM REWLY—DOFF Ak« T4

— IV RMNSF A T7aT Ry T ATV ATEET,

. TFAMEBNICH—VILEBNWT, Cul + F F—2L T RZREH) Y1707 - Ry 7 AT 7

TALET,

BMBZTEZTFARNEZANTZN, BIBRRBLEZEHEHOROY 7T « UZRNSREIRLET,

BT F A NHH5E1E. AHLET,

REHFZR] 27w LT, REZRKLET,

& 227Uy LU THEDRBRNEZERT S0, [§XT2ER] 27Uy 7L TIRTERE

WFER LA A O A2HEBKLET,

6. BRENKRTTZE, 4707 - Ry 7 ANALET., TF A MET F3 29 EREOMRERIE
MEVREIN, £21E Cul + F F—2{TE5 1707 ICHEY VA LET,

A

BMBA T a

RXFENLTFEE « RBEIET, BIAE myvar 0¥ myVar ENLET 2N E DN E, RKXFENLF
ZRPTHMNESINZEIRELE T, ZOREICEFBRLS, BT FAMIFEITANLZEBDITHEAINE
ER

HERDH « BMBERIEDFENITHODAENZTF AN T EINEINEHEELET, 20X T a >
ZBIRNT D &, spider \TBT BRI, spiderman E 7213 spider-man 1Z—3 L £ A,

FERER . FHEEROL DYy 7 2A2HHTEINEDNEZIRELET (KESR), ZOF T g zER
T5&, FEEEOHA] F72aidEPbEInN, TOMITEHINET,

BREINETFALOA: [IXRT2BER AT az2fHT256, MROHEMZHI#EIL X,
IEREB 25y I A

EHRERZFERTDE, Y TERIBSATLFEREORER LT, a 5 d ETREXFDOY I AE-134
P, fTOBREZIIKR TREDERIIOVWTREBT S ZENTEET, ROFBEOEXHENTR—hINTn
ECIN

F/1E AU hERZ YT EE 13



K1 XFO—E :

Characters —%

X y? X

\ SRS,

¥0n 8 EVEDMEZFEDIF On (0 <= n <= 7)
¥0nn 8 HEEDMEZFFDXF Omn (0 <= n <= 7)
¥0mnn 8 HEIEDMHEZFF DO Omnn (0 <=m <=3, 0 <=n <= 7)
¥xhh 16 #EEDOMEZ R DT 0xhh

¥uhhhh 16 HEVEDMEZ 7D 3T 0xhhhh

¥t % T XF (¥u0009")

¥n RFT3CF (Fu000A")

¥r BIRSCF (Fu000D")

¥f WAR—T3F (Fu000C")

¥a 7 Z— bk (N)b) 3CF (¥u0007")

Ye T A —73F (¥u001B)

¥cx X IR % il ST

K2 XFUITAD—E :

XFTTA —%

labc] a. by E7ZIE ¢ EHMY T R)

['habc] a. by TZld ¢ A OXE (%)

la-zA-Z] a M5z T2l A NS 7 OFFE (Hi)

l'a-d[m-p]] a M do ELE m S p FIES). 213 Ta-dm-p) EHEETHIESHT

N
la-z&&[def]] a b zo BEUW A e. FRIT F(RE)
la-z&&[bc]] aMb z DIHB, b & ¢ ZRRWEHD (EES). £7/21d. Tadz) EEETS

ZEBHTEEXT

la-z&&[*m-p]]

a5z DO, m M5 p FTERVWEZHD EES). 2.
BETHIEHLTEET

la-lg-z) &

K3 FRIRESNLEXTFT TR

HARE S NELTFET T A —3
EEOXTE (TRICETHHAEELIT L BWEAERH D ET)
¥d EREDOEF: [0-9]
¥D DSt [70-9]
¥s ZEE ST | UY¥n¥xOB¥fYr]
¥S EIERESYY ISR Y|
¥w 7 — RXF: [a-zA-Z_0-9]
¥W T — BICF [¥w]
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#4. BRO—F

BRO—3% —3

A 178

$ (FEN

¥b EORER

¥B FBLAS DB

¥A AT DG

¥Z R EDITREUSND AT DFT
¥z AT DT

B1EAJVTNEAVUT NEE

15
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K28 RHVUTMERE

ROV T NERROBE

IBM SPSS Modeler D A7 1) 7 MEREZ[MHT 5 &, SPSS Modeler L—H— « o > —7 = — A THIE
L. WA 727 bEBEL, ORI AEERITTDHAT ) T NEERTEET ., SPSS
Modeler AN SHEBEAZ Y T N E2ETTEET,

IBM SPSS Modeler @ A7 U 7 M, A2 U7 NE#E Python TERINTWET, IBM SPSS Modeler T
il 2#1% Python @ Java X—ADFEE%Z Jython &[H:U\iT ZOAL )T NFEIL. LA OBERETHE
RSN TNET,

e J—R, AKNU—=4, YOz b, B, BIXEZOMD IBM SPSS Modeler 7 7 F a2
by

o FRATO I NEBRETHDIHERINDE AU T N AT =AY hERIFOAYROEY b

s B NITA—L—, BIOZOMOA TPV NEZERET D72DDAY ) 7T MO EFE

e JAXB, 1O/, BV TIIN TFAMOTOv I OHR—k

LLFD+tE2 2 a > T, Python A7) 7 NEiE. Python @ Jython FEZE, BXLUN IBM SPSS Modeler NT
AN T NEFNEDDTZDDIART > H Yy 7 DWW THHLET ., FEo7a/s—Lax > RigD
WTOERIZ. o7 aichbD xd,

Python & Jython

Jython &, Python A7 U7 hSFEDOFEED 1 DTHD, Java 5 Catilb S, Java 7T v b7+ —L&
MAESNTWET, Python [ TN A TV MEMALZ U T REFETT . Jython 1&, RALLAZ U

SREDAEFENEN EASRE A 2. Python &SIEZERD. Java (REET T > VM) 2R — T 5T XRTOER
BCTHELET. 20D, 7075 LOIERIFIZ IVM @ Java 714 751 —%fFHT2 I ENTEE
9, Jython ZfFIHT 2L, ZOEWVWEFHHTE % LRI, Python SO EIFEAEDOKREZFHT
EESCIN

A7V T NEHETHS7=D, Python (BEUNZD Jython FEH) [THENES THRMICI—T 1« 2 TE

H1E0N. BET 27005 AOERICER/NEOHE L AKEE LERAL, I— RIIMNERT (—Ei2 117
ANTBHZEMNTEET, Python 131 > —T U —KDAZ YT RFETHOD., Java IZHD 7Y T2/
TIVDEMEMNS D EH Ao Python 7OV T ATHRDTFAR - 77y AN THD, BEXLZT—N20nHhE
DRSBTS N1 ANWELUTHREINE T, Bl (ERFAOMERE) OIFN. EHERE
FEIEERL L) blZBICE TSN, HHTEICRDET, I— R L > 22 E 2R EICT A MY
LT ENTEET, UL, A7V T FOBRIZIIAFZEEHDET, AL, REXOLKEHEHL T
AN T— - TIT—TRERBND, TOEREMHTHAT—MAZ MRETINLGHAICERD. £
DETOEZITRIEINET., ZOYEIE. 7OV ILERELTETL, TI—2T N T THTENT
EE N

Python Tid, 7= I—FHED., H50260eF TP/ bELTHWET, LEN->T, £hH
DAT Yzl h—#HOId— RTEET LI ENTEET., OB EESCLFHRE) IATPzr b
TR <EERAT EMERTTN, ZOHNWIE Python THHR—FEINTVWET, YR—FINTVSX
JAEN 1 DHDET., TOXIMEIZIETHE None NEID LB THNTNET,
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Python A2 U 7 hBXW Jython A7V T NOELZ 7 ) 7 MM DWTIE,  |http://www.ibm.com/|
developerworks/java/tutorials/j-jython1/j-jython 1.htmIH & Ulhttp:/www.ibm.com/developerworks/java/tutorials/j-|
jython2/j-jython2.html| ZZH L T 72X W,

Python X2 U7k

Python A7 7 L E#EDLLFDH A RTIE. IBM SPSS Modeler TAZ U 7 N ZERT DG SN
HuJREMNE NI S AR—F% > hOMEE, HECT OV I D OB ONWTERD LIFEd., 21Uk
0. IBM SPSS Modeler N TR % Python A7 U7 N DREFEZEHD D DI TRRAMESS ZENTE
‘ij‘c

R
RAIER (@) 2HALTHVET, FAE # 13 2 [ EWSEHICRAT 2103, UFOAF—
hAY REMALET,

x =3

HEBI, XFHROT—5 EEBIRATIEAICHHEHAINE T, #IAIE. {8 a string value] & [y
EVDERITKRATZITIE, AFOAT—F A RZMHALET,

y = "a string value"
ROFIZ, E<HEHINBEETFBLIOCEMEERE TS, ZOHHAZRLET,
S5 — MRS HEIE R T35 K OB s T

T B

X <y x My ZO/MInESMH
X >y X By EDKEFNNED M
X <=y x Ny AR ED M

X >=y x Ny UbkmnESh

X ==y x My EFELWhES N

x I=y x My EFELLIBNNES )
X <>y x My EFELLIBNNED D
X +y y Z& x [ZIn&AEd 5

X -y y & x MHEET S

X *y x Iy 2RHETS

x/y x &y THRHET3

X *% y x &y FTD

DR b

AR, —HOERTY, UAMEIERORDOERZANDL ZENTE, YA MDOERIIIERDSY 1
TOFTT 7 hEEATEELT., UAMNIBAHEEZ LI EHTERT. YA MNOEFEOKIL, HEE
B, AR, RZITERT DEITHEME IR LET,

il
(1 22D A b,
[1] H-DEHR B 220U AN,
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 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html

["Mike", 10, "Don", 20] 4 DDOHEFE 2 DOXFHEHRE, 2 DOBKER) 258

DUA R,
[[1,071,[8,9]] DZREGOU AR, £ TUZRMI EOU RN, £
IFEEEHEDOY A K,
X=75y=2;2=3; BEOUA L, Zoflid, ZEREXDENTTZRLTVE
[1, x, ¥y, x +y] E

UARZERITEIDETHZEMTEET, HIAE LFOXIICTLET,

mylistl = ["one", "two", "three"]

ZFDH%, TOUANDEEDERICTY 7V EATEET, Hl2E. LFTOLSICLET,
mylist[0]

CHUILL PO K DI AITia D £

one

KEEW ([1) NOEUEIZ, 7>T7 v 27X EFEN, VA NOREOEREZHLET. UAMDJKERIC
0 MOIREDT 2Ty VAN ITENET,

1 DOUARDBROBEZOHIPEZBINTSHZEHTEXET, ZNUIXF7 X EENET, #lZIE,
x[1:3] 13, x @ 2 FHOEFEE 3 FHOEEZBRLET., KBEOA T v 7 Ak, BREED 1 OH
EDA T ATT,

3F5
X7 EELTHODNS —HOAZDOXTTT . XFINL, HiLWCFHIBR LT R TORED Y —
TOABBBIMER TEYR— ML XY, #HIAIX "abedef"[1:4] 1, "bed" EWIHINTIRD X,

Python Tl&, XFIWEEIN 1 OXFHELTEREINET,

XFHN) T I, BRI =ZEHFAFICI > TERSINET., B—-5IHF2ERL TEREINS
XFHRMTEES I LB TEERAN, ZHIIAFEZEAL TERINDLFINIMTEELSIENTE
X9, XFHFNIHE—FIHFF () XLEELARF () THDIENTEET, SIHFORNMIICTIE. TA7
—TEINTWRWHOSIARK. £EBMLEE ¢ BT THIIATr T INLEIIHFEAND ZENTE
£9.

il

"This is a string"

'This is also a string'

"Tt's a string"

'This book is called "Python Scripting and Automation Guide".'

"This is an escape quote (¥") in a quoted string"

A FETRY S NEBHOLFFNE, Python N—H —IZX > THEMIZEE S NET., ZNTXD., £
WXFHNZ AN LTZD, B FH TR LZEEOGI AN EZRAESELZD TSI EMNTEEXT,

"This string uses ' and " 'that string uses ".'

ZNCED, ROESITHTTaNET,

This string uses ' and that string uses ".
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XFEFNE, WS DDDEMBAY v REYR—FLTWET, ROKIZ, TNEDOAY Y RO—FZERL £

"d_o
X6 XFHNX v R

AV R

EIERES

s.capitalize()

s O FERLFICLET,

s.count(ss {,start {,end}})

s[start:end] WD ss OHBEEZEZAT > NLET,

s.startswith(str {, start {, end}})
s.endswith(str {, start {, end}})

s 2N str THELO> TWENESINETAMLET,
s 2N str THDODO TWENESINETAMLET,

s.expandtabs ({size})

HTEAR—A (T 74V D size Id 8) TEML
ER

s.find(str {, start {, end}}
s.rfind(str {, start {, end}})

)
}

s DT str OFPIDOA TV 7 AZBRELET, D
MBEEWES, BRI -1 IR0 ET, rfind 1. G205
EITMBELET,

s.index(str {, start {, end}})
s.rindex(str {, start {, end}})

s DT str ORHIDA > T w7 AERELET, HD
MBI WIEE. ValueError 254 L £9, rindex 13, A
MHEEIHMRLET,

s.isalnum XFEIINFFENE DD EHERT 2D DT A N,

s.isalpha XFHNINEENE DM EHRTDH72DDT A K,

s.isnum XFEINPBENE SN EHERT HDDT A K,

s.isupper XFININTRTRLFENEINEHERT D2DDT AR,

s.isTower XFEFNNT XTI FENESMNERERT S72DDFT A K,

s.isspace NFHNINTRTEALFENE DN EHR T DT2DDT A
bo

s.istitle XEHNINESLFENRLFO—EOTIFEN E DD EfERT
L72DDT AR,

s.Tower() FTRTNLFICEHBLET,

s.upper() TRTRLFICEHLET,

oousncased KXFINTF T S TRIERLET

TRTHYA ML - F—AITEHBUET,

s.join(seq)

seq NOXFHIZE s ZRUIDLFELTHELET,

s.splitlines({keep})

s ZEEITICHFEIL £, keep WY true DFHE. HiT%
REFLET,

s.split({sep {, max}})

s % sep (F7AINED sep FEANFTY) ZHHL
T max BIET HEE] 2Bl £,

.ljust(width)
.rjust(width)
.center(width)
.zfi11(width)

w unun nu n

&MY width @7 ¢ — )V RNTXFS & LR A LET,
&MY width @7 ¢ —)V RNTXFES &2 AR A LET,
TE2Y width @7 ¢ —)V RN TXFFN 2Rz L Ed,
0 THHET,

dstrip()
s.rstrip()
s.strip()

w

JEHDOZEAX T EHIFRL T,
REOZEAXTZHIFRL X7,
JEHHEREBOZEHLTZHIFRL £7.

s.translate(str {,delc})

delc OXFZEHIRLZET, 7—T7INE2HHALT s 2%
L ET, str 13, BEID == 256 OXFHNITH DLEN
HOET,

s.replace(old, new {, max})

XFEH] old 2T RNT. F7/213 max HoHB &2 075
new CEZMZET,
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ER

HRIE, R2R \wia) s @ THESIAL T, R FREFHESFEACITOITRTOTFA b
W ERO—EERBENTEHASNET, R RO SHBTEXRT. U FOFIT, EROMEH
ZZERLET,

#The HelloWorld application is one of the most simple
print 'Hello World' # print the Hello World Tline

AT—bMA2V bOEX

Python DAT— b A2 bDT 2y 7 AFIEFEITHMTT, —KIT, &Y —ATEE—-AT—hAZ KT
F, expression BEW assignment AT — KA RZERWVWT, AT —KMA 2 MIF—T—FR% (Gf
for 72&) THREDV T, ZZATEAIFERTIE. O—RANOEEDAT— R A ROBOEZITTHHA
TEXT, 11722 DBEDAT =M A RRHLH5EG. AT —bAMZ2EIOOY (5) TRYS
WENH D ET,

EWATF—RA2 NI, BEOTICHEITSZZENTEET, ZOEE. ROTICEITSAT—RM A ROR
BICHES & 2HEATHILENHDET, #lZE. UFTOXDICLET,

x = "A 100000000000000000000ng string" + ¥
"another 10000000000000000000Nng string"

& HHEEI (). KM ([D. F2EHEM () THENTWL551E, MiEsEF AT Lk
<V AT—hAZRZEADROBEATHLWTICHR TS ZENTEET, I LTFOLDICLET,

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)

wa Al F

Al 28 BEG VA BRUOF U RICARTIZMITD72DIEHL T, @#llToRI3EE
TIAN, EEHOLFIIHRT (RXFEZIINIT) FEETH O TRINBRDEEA. TRTHES A
A, —RICNEAELZR T IMR—FADOEDITTHISNTHET ., #HTORELFOEAIT, RFE,
0 M5 9 DT, BRUOTHRIFENS DO THHBICHAGDE THATEXT,

Jython 121, &%k, BEEL. WU I ADARNTHEH TERNWTHRENNSDONH D KT, ZNH5DTH
. RT3 =2 nTnETd,

o A5 — b A MEEUATR: assert. break. class. continue. def. del. elif. else. except. exec.
finally. for. from. global. if. import. pass. print. raise. return. try. BX N while

o INT A—F—fEHI: as. import. BXW in
o WK T: and. in, is. lambda. not. BLN or

Rt aF—"U—RZ2FEHTSHE, @BE SyntaxError DWHAEL E T,

J—Ro70vd

d—Ro70v7id, B—ZAF7—FA2 MG SINSEICERINDEAT—MA 2 FOTIL—TTT,
d—Ro7oy 7, if. elif. else. for. while. try. except. def. BXN class DVTNDAT—
FAYFDEAICHELS ZEMTEET., TNHDAT— A MOEAIZOOY (1) ZHEHLT. O—
Ro7oy 7 aHTET. FlzE. LFOLSICLET,
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if x == 1:
y =2
z =3
elif:
y =4
z =5

I—R - 70w 7 &2RY5720121 7> MRMERAINET Java TIEFEIINMEREINS), 1 D070
VI NDTRTOITZERCMEICAL 2T > FTH2HENRHDET, ZHUI 12T FOEEMN, I—K -
Ty 7O TERTZHTT, BRI, LXILITEIC 4 DOAR—ATTI T MLET, TO1 2T
CRIZE, AT TIRRBRSAR—ZAZHERTHIENMNHERINTNET, AR—AEYTEEESESL &
TEEHA, EVa—VORIMEDOT Oy 7D, 1 MiENSBIBETA20ENH D ET, £5Thn,
SyntaxError INFEALEL £75,

1 DOO—R - 70y 7 EBRTL2EEOAT—MA N (IO kT 2) 3. B2 a0 TRY-T 1
fIIZT2Z2EHTEET, HIZIE LFOLSICLET,

if x==1y=2; z=3;

ROV T bADSIHDEIZEL

AT NCHIEEET LT AERETICATY T RERORLEATES2OEHTY, a2 K-35
A ATTEINSSIEIE. UA L sys.argy NOEELTESNET, EINSEORFT, a2 R
len(sys.argv) ZfA LTRSS TEE T, AT ZRLET,

import sys

print "testl"

print sys.argv[0]

print sys.argv[1]

print Ten(sys.argv)

ZOFEITIE, import O Rid. sys VI ALK EACAR—FL T, 2OV FRATHEELTVWDAY v R
(argv 72 &) ZFHTESLDICLET,

ZOBDAZY T NI, LFOfTE2HL TREETEET,
/u/mjloos/testl mike don

FE RIS FOHAT2 0 T,

/u/mjloos/testl mike don
testl

mike

don

3

il
print F—T—RiI, ZOF—T—ROBEHZDSEEZERLET., AT—MAFOEAICO I ERITS
&L TR AICEENE T, ITFICHERLET,

print "This demonstrates the use of a",
print " comma at the end of a print statement."

ZHUILL RO LD e Tz £9,

This demonstrates the use of a comma at the end of a print statement.

for A7 —hAX NI, A-FOTOV I ERETHOIMEALET, BUFICHZRLET,
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mylistl = ["one", "two", "three"]
for 1v in mylistl:

print 1v

continue

ZOFITIE, 3 DOXFHNY AL mylistl IZED S TH5NET, UAFDOKREEN 1 712 1 DI DH
HNEINET, ZHUILLFOX S hic/izn £,

one
two
three

ZOFEITIE, for W—TNEHETLOI—R - JOy 7 2RETHENT, 17— — v AU X b
mylistl ODFEEROMEEIEICEVET, 1T —F—F. FEOEIOE# ID ICTHIENTEE
9,

if A—bMARMNI fBEAT—FACNTY, £RBEZFML. FHMEOKERITHE DN T true 7213 false
ZIRLUET., ANICHIZRLET,
mylistl = ["one", "two", "three"]
for 1v in mylistl:
if 1v == "two"
print "The value of 1v is ", lv
else

print "The value of Tv is not two, but ", Tv
continue

ZOFITIE, 1T —%— v DENFHESNET., v OMED two DIFEIL. v 2 two TIERWIEE
WICRENDBA MY T EIRERLEDZ AN MR EINET, UKD, ROLDITHASINET,

The value of 1v is not two, but one
The value of Tv is two
The value of Tv is not two, but three

HEAYYER
math B a—)6, BHAEEAY Y RICT V7 EATEXET, ROERIZ, THHDAY vy RO—EHZER
LET, BIHEEDRZWERED, IXTOMITFH/NUSEL TREINET,

K7 HFEA YR

AV R GRS

math.ceil(x) X DRIMEZFE/NEEELTRLET, 2, x Uk
DE/NDIEETT,

math.copysign(x, y) x &y DFFTELET, copysign(l, -0.0) I, -1 &
ELET,

math.fabs(x) x OFExHEZRL ET,

math.factorial(x) x BRERERLET, x NADOHE, TRFEETRNG
&, ValueError 2354 L £,

math.floor(x) X OFREZFE/NGSEL TGRLET, ZHUd. x LR
BARDEHTT,

math. frexp(x) x DIE m) EFRE (e) 2 (m, e) OHMAELLTERLE
T om IZFE/NE L e 13EEET, x == m * 2%%e &£7/20
£9. x PEOOHAEIT (0.0, 0) ZRL. TSSO
#13 0.5 <= abs(m) <1 ZRLET,

math.fsum(iterable) iterable OHDED ERERFE/NE DRI ZIRL £,
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K7 HFEXIw R ()

AV R

EDIERES

math.isinf(x)

FHIME x DEXEIAQBBANESHEF Y
LET.

math.isnan(x)

SREI/NEUS x A% NaN GEEE) MESIhEF v/ LE
7,

math.ldexp(x, i)

x * (2%+i) ZRLET, ZU. REITEEE frexp @
WiTY,

math.modf (x)

x O/NEEREBEEZR LT, #RIEMST ED x OFF
FEGIEHE, FENUETY,

math.trunc(x)

Integral ICYJDETHH72 Real fH x ZIRLET,

math.exp(x)

exxx ZIRL KT,

math.log(x[, base])

FEE L7-f# base 1T 5 x OXEZERLET. base
EEE LBWEAIL, x OBAREMNREINET,

math.loglp(x)

1+x (base e) DHAMEZERL F7,

math.10g10(x)

x D10 ZEETDHEZEZERLET,

math.pow(x, y)

x &y BLTERLET, pow(1.0, x) BEX pow(x,
0.0) 1&. x O FE/~ZIL NaN THBHELTH, HIT 1
ZRLET,

math.sqrt(x)

x OFHRERLET,

BEABBITINA T, AAB=ABEBAY Y FEHDET, ROERIZ, INH5DAY Yy RERLET,

xS =ZABEKAY v R

A R

EDIERES

math.acos(x)

X OWREEIT > TRLET,

math.asin(x)

x OWIEET7 > TIRLET,

math.atan(x)

DWEEEZT T > TIRLUET,

math.atan2(y, x)

atan(y / x) 257 > TRLET,

math.cos (x)

X DRZETIT >TRLULET,

math.hypot(x, y)

I—27Uw RJIVA sqrt(xxx + yxy) ZRLUET, Ih
BRENSE (X, y) NOXRZ MVDOESITY,

math.sin(x)

x DIERZET T > TRUET,

math.tan(x)

X DIEEES57 > TRLUET,

math.degrees(x)

i x ZIVT OMSEICERLET,

math.radians (x)

i x BENSTIT ATEBRLET.

math.acosh(x)

x OFMHEIFRRILZIR L £,

math.asinh(x)

x DOWMFRELZIEL £,

math.atanh(x)

x OHFMHEIFRIEREZIRL £,

math.cosh(x)

x O RILZEL X

math.sinh(x)

x OMHFRREZIRL XT

math.tanh(x)

x OMHIFRIERZIRL £T,

2 DOHFEERSDH D EJ, math.pi OfEIT. FFER pi TI, math.e DEIX. EFEEK ¢ T,
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JE ASCIl XFD{EH

JE ASCIl FZMHT 2I121d. Python T, XFFI% Unicode ICHURMICT > OA— REZIFITI—RT
HENH D EF T, IBM SPSS Modeler Tlid. Python A%~ U 7 ~d UTE-8 (JE ASCII XF&HYHR—hKT 2
BEME Unicode) TL>O— REINTWBHEMEINET, LFDOAZ U 7 K. Python I 2/%1 F—)
SPSS Modeler 1L > T UTF-8 IZERE SN TWAD, A2/ IV d,

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T X F./— F", 96, 64)

LU, #R/ —FOIRIVFIELLSHD EH A,

o
Ml

BF$5,'EfTEF AF AL
3. JE ASClI XFEEH/—FK - )L (IELSZRINTWHZEN)

ARU T - UFTZ)VEMED Python 12K > T ASCH XFHNIEMINTNSZD, ZOTNIUIIEL <
HOEF A,

Python Ti&. XFHIU T IV DRI u XFZEMT 5T EI2K > T, Unicode XFHN T T IVERETE
£7,

stream = modeler.script.stream()
filenode = stream.createAt(“"variablefile”, u"T X F./— F", 96, 64)

ZAUTK D, Unicode SCFFIMEREN, TNIVNIEL K ERENEKT,

FA RS

K 4. IE ASCll XFEEL/—FR -« N (IELSFERINTIND)

Python & Unicode DAL, AEFDHHZBALZ KRS/ MEY 7 TY, O MEY 7 ZFEMITH > 2 &R
T IA NERENBEE < HDXT,

7oz MmO o
FTTr MEMTOY I 27E, HEMEOETIVE IO S ANTHERT S E NI ERICTHE DI TN
F9, AT/ MERTOVIIDZICED, Oy SI 0T - TIT-NED,. O— ROFEMHINMERE S

NET, Python |&. 7PV MEMFIETT,. Python TEFRINDF TV MTiE. LN DR
HOEXT,
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e [l AT NAIERITHD., ZHUIT A MAJEETARTNUIARD EF/ A, is TANE is not T
A M3, ZOHMOEDIZHFEL TWET,

o BB, ATV NI REEKNTEDILENHVDET, 74— IV RPA DAY ALK EDR
X, ZOHMDOEDICHEEL TWET,

s WAEN, BT MI, REZBETEZILENHDET, AV v R, ZOHKNDZDITEE
LEd,

Python IZId. A7 =7 MEMT OV I 2 7Y R— T 50D TFORMENH D £T,

« VIR R—=ADF TPzl MERk. VT AL, 7220 bEERT 2572007271 —hTT, &
Tz ME RAEBFWDEED TSN TS T —FHIETT,

s RUET T4 ALICKBMK, Python F, H—MRKELEMPRKEZYR—HFLTNET., Python DTN
TOAZAI DA = Ay RiE, RUETY T4 w7 THO, BTITATLDF—/N—F1 RAAET
—g—‘o

o T—HREKNC K BN T IVIE, Python Tid, BUHEZRETIENTEET, BT &, 7T ADHMINS
. ZOIFTADAY y RICE > TORBHICT VEATELLDITRVET, VFAKKIE, 7—5%
BETHEDDAY vy REFELET,

VS ADERE

Python 7 7 ADH T, BEEAY Y ROWGZERTE XY, Java EHE/2 D, Python Tl 1 DDV —
A+ Ty7AN (EZa—J)b ) THEEOBORNMAY S A%EERTEET., LEA>T, Python DEZ a2—)b
I Java DN T —DIHTNWE EEZ DT ENTEEXT,

Python Ti& class AT — A REHHALTY I AZERLET., class AT — A2 ME, XkoERIC
2o TWET,

class name (superclasses): statement

or

class name (superclasses):
assignment

function

UIABERT D LS, EEOBDAA AT — AL MERRTHIENTEERT GRLESTD
BWERBA), UKD, VI ADTRTOA 2 AY P ATHESINS 7 FABEMERENET. X
oo EROBOBIY EXZ2iLib T 5 EbTEERT G LA THOHWERA). N5 DBEEERICEK
D. Ay RBMERSNET, A==V FADYANIF T a>TT,

DI ABRFIAI—TOH (EY2—)b, B £330 T A0H) TEA TRIFINTRD AL, BROZE
BZEERLTHECY SAESRITLIENTEET,

GSR A 2REY 2 ZADIER

VIR TR GEE) BIEORIECS TR - A 2 A S ADHERICHERLET, 7T ADA 225 2
EERT BIT1E, €OV IANMMTHENOES KT L ET, £EAE, KDY TAEBEBLTIE
Y2

class MyClass:
pass
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D IAETRESEDEDITIFAT— AL SBBETTNTOT T LELTREENRETH S0, T
Tl pass AT—hARZEFEHLTWET,

DFDAT—HFAZ NI, 7T X MyClass D1 2 AY > A&ERL £7,
x = MyClass()

DR ARV ANDEMEDIEMN

Java E®720 ., Python TV FAT 2 "IN T ADA DAY D AZEBHEZEEBMT S ENTEET, BH
INDBAAZ AT 1 DEFTT, FlzE, 1 2AFY A x TEROEEZEBMT 5123 LFOXD
WKL TZEDT DAY D ATH LNMEZERELET,

x.attrl =1
x.attr2 = 2
x.attrN = n

VSABMELVAYV Y FDESE

DI ANA 2 RENZEBIIITXRTOI IXENE T, VIANTERSINLZEEIITRTAY Y R T
To AVYRIE, VIADA ALY A IBEELT self EMENET) 258 1 5IEEL TZITWD X
T, FIZE. VI ABBEBIUOAY Y REERT ST, LFOI—REANLET,

class MyClass

attrl = 10 #class attributes
attr2 "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3  #make an alias for method3

7S ZADOWEITIE, 7T ARBHEICHT DTN TOSRE Y 5 AL TENTDHEND D ET
(MyClass.attrl 72&E), 1 > AY > ARBHEICHT 50T, TRT self BETEMTH2LENH D ET
(self.text 72E). 7 T ADIMITIE, 7T ABEITKHTEHITRTOBRE Y T A4 TERT 5
(MyClass.attrl 72&), VI ADA VAT VATEMTS (x 2T TADA 2 AY > AETSHE x.attrl 72
EETD) MENRHDET, VI ADIMUTIE, A 2 AY D ABBITHTH2ITXRTOSRE T T ADA > A
Y UATEMTHIHLENDDET (x.text 72E).

JERRER

TIAN— N BREEERTSZEICED, T—FERKTHIENTEET., 7T/ ERKIIT It
ATELHDFZDO7 I AAKIESNE T,  xxx FLI1E _ xxx_yyy EWISBAT @ BOFHEZITHT
) ARIZEESET &, Python /N—H—I3, EFINZLAENTHENICY 5 24280 L TRk Nk
EREERLE T, #ilaRLET,

class MyClass:
_attr =10  #private class attribute

def methodl(self):
pass
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def method2(self, pl, p2):
pass

def _ privateMethod(self, text):
self.__text = text #private attribute

Java EF72 0D, Python Tld. A 2 AY D AZEEITKHT H2ZILT T self TEMTL2MLENHDET,
REERAY72 this OFHIEH D £H A,

LTS

7T AEMET HDIEREIL. ATV MM T O I3 OWBEL L £, Python 13, H—{kKE%
BHAOM GZ Y R—MLTWET, H—H& X, A—/N—TFAN 1| DULDEETERNWI EZ2EERL
F9, ZHEMPK I, BEROA—N—V SANGFEETETLIL2EHRLET,

WA, MOV T AV T I I AZERTHIETERELET, EEOED Python 7 T A& A—/)N—0 5
BT EMTEET, Python @ Jython FEEETIL, EHZEELIIMZBITHKTES Java 7T AF 1 D
T, A== I AR M{THLEIHD £ A,

A== T ADTXRTDBEPLAY » RIZWTNOY T T ZICHEEL. TDV T ABKICE > THEA
TE2EFN, BESCAY Y RSN TORITIUIEBRED YV A7 O ISR THZEHTEET, H
TOIGADA VAY > AIEBEDOBFITHATE, A==V FADA LAY ABFEHTEET, o)
RUET 70 XL O—FITT, TS DOHEEEIC K> THAMANITREIC/ZD ., JERNB S IR0 £,

Bl

class Classl: pass #no inheritance

class Class2: pass

class Class3(Classl): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance
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% 3 EZ IBM SPSS Modeler TORZ U Tk

ROV T bDiESE

IBM SPSS Modeler iZ1d. EAFD 3 fEEOAZ U T hARH D X7,

e APU—=L-XZUTH I B—A M) —LOEFTZEHIETHDITHEHIN, A MU —LRNITHEMNS
NEk9,

« X—=/N—/—FK X277k d A—N—/)—RO#EZHETL-0ICEHINET,

c XX RO AU RNERIFEYa> c AU R IE SEIERA NI —LAITH> THET
ERETLHEDICHEATEET,

IEIE/ AV w R%&E IBM SPSS Modeler DAV U N THHATZZENTE, TNHAY Y RIZE-T

SPSS Modeler DJLAHIZHEFEIC T 7L ATEET, TNHD AV v R, KD EESEEEZIERT S-0I1C
BoRXR=D T5 42 2707~ APL | THEHINET,

APU—=A, R=N—/—=F - AMU—A, BE®ILTISA

2 DHE. AR —4A EVWIFEIF, 7y 0—-REINDBARN)—LATHN, A—/S—/—KRHT
HFHINA AN —ATHI. FUEKREREGET, —MIT. A MU =A% BEWIHER S NZFE TR
J—ROEBEZEWRLET, LML, AZUTNOBHEIET. 5055 TIXRTOEENTR—FaInb
DITEHOERA, DFD, AV T MEEREZIL., EOAR)—L - NUT > RZ2HEHALTNEDOMNER
WL TWBRLENRHD ET,

APU—A

Z RU—AlZ. IBM SPSS Modeler DF72RF 2 A~ - 147 T9, A MY—A13RE O— R, HFE.
BIXUOEFTAHZZENTEET, ARU—AIZIE NNTA—=F—, FTO—N)ME., A7V T, BLOAZED
O FRZBEEMTZZEHTEET,

A=NN—/—F - -APU—=A

RX=/)N—/—F« XhU—=A & A=/S\—/—RNTHHAINDZEEOA RN —ALATT, BHEDALY—

LEFRE, BWIZU 7 ZNTWS /—RigEnTtnEd, A—/X—/—F - ZhJ—=AlF, LLFDLD

BETHEEDARN) —AERBSTNET,

o NIA=HF—BXOZZYTMI, Z—/N—/—RK + AP —=ATIFHL, A—=/)\—/—F+« ARJ—
LA L TWE A—/N— ) — RICEEMTSENTNWET,

o ZA—/N\—/—R -+« ZAMJ—LAIZIE, A—=N—/—ROBEIZIECT, BIMOAHIXI Y —+ J—FR%
Hhaxry—- )—RRHp0ET, N0 —+ J—FRid, A—=/—/—FK - ZhJ—=AIZ
BREELZD, A==/ =R« ZM)—=LNSBEREWMOHELZ0THDICHEHIN, A—/8—
J — ROIERRRFIC HEIMICERR S N E T,

FATISA
A TSN EVWIHEIL. BEOARN)—LAEA—N—/—R - ZM)—LDWHTHR— I 5k
Be (/ — ROBIMOHIRE. /— REOBGOLERE) 25ATHET,
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AMY—LDEST
PLFoFlE. AR —LAHNOTXRTOETHRE ) — REFETTEIHRHS D TIINBIATOAR)—L « AV
)7 R TT,

modeler.script.stream().runAl1(None)

UTFoFSH, AU —LNDTRTOEFTARE/ — REETLET,

stream = modeler.script.stream()
stream.runAll(None)

ZOHITIE, A MU —LZEEE stream 1ML THWET, @H., A7 U T MIARM)—AFKLEFA NI —
LND ) —REEBETHLOIHEAENL 20, A M) —AZERITHNT 5 EEFTT, AU —LZHK
T DEREERT DI EICE> T, AV U T MIKOHRIC/RD £,

AROYFbh-aryrFFAb

modeler.script EYa—J)Lid, AV U T MNETFEINSATFANERMELET, 20D 2—)LT

FATHFIZ SPSS Modeler A7 U 7 MZHEINIZA >R —hENET, TOETD 2. A7 U TRz

DEITRBEICT VAT 500 HEZRMETS 4 DOBEKREERL TWET,

e session() BEEIE. AV VT ROty alERLET, Byiaid. AN —LEETTIHEDIC
FHRINTWS O —)L5, SPSS Modeler N\ 7 T2 R (O—H)L - YOt A, £Eid3xry hT—7
SPSS Modeler Server) 72 EDIERZEZERL 9,

o stream() BEEUE. AMU—LERA—/)N—/—R - 27U T THHATEET, ZOBEKIT. EfT7HhD XA
F)—=L« AU T FRIZA—=)S— /=R - AT rZHAELTWEA M) —AZRLET,

+ diagram() B3, A—/N—/—R - 27U TR NTHEHATEZET., ZOBEKII. A—/N—/—RHNDY
AT ILERLET, TOMDAT ) T DY A TOHE., OB stream() B ERICANE%E
BRLET,

* supernode() BA¥i3. A—/N—/—R - 2P U T NTHATEET, 0BT, EfTFHDOAZ U T H
AL TWAHA—/)N\— /) —RZRLET,

INS 4 DORFEKEHNZROFICENL X,

# 9. modeler.script BA%LDEEH
AZ2UT bk« 14T |session() stream() diagram() supernode ()
A5 Rr7ar T a ERLUET | AU T NEHRKEOH | stream() R AW

TEOEHMHEA MY —
L (BIZE Ny F -
T— R -stream 7
TavitkoTEIN

T2ARNU—L) D
None ZiRL £79,
ARU—LA Tyl alEBRLET | AN —L%FRLET |stream() ERU AQ
A—/)XN—/—R twlalZRLET | AN —LAZRLET | A—/N\—/—R - A | A—=/)X—/—R%ZEKL

U—LZRLUET ESCh

modeler.script EXa—JLid, & TI—RTAV U T hEKTITDHHEDERLET, exit(exit-code)
BIEUE. A7V T hOEFTEELL, BESNEBROK TI—RERLET,
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AP —=LAHITEREEINTNDE AV Y RO 1 DIZ runAll(List) 2%HDET, ZOAYV Y RiE, TXRTD
RITARE ) — RZ2ETLET, /—RZ2EFITBZIETERINDIETINERIFE L. BHESN/ZU A b
IGEMESNET,

HWE, AN)—LZ2FETITRE, ETIVCY I TREOHNINEREINE T, ZOHNTEFY TTFv—95
iz, A7V T M UA ML N ERZRETEET. A UTDEBDTY,

stream = modeler.script.stream()
results = []
stream.runAll(results)

FMETTDE, ETICE > TERSINIEA TP 27 M results UARDSETY VA TEET,

BIFED / — RDOSHEE

Z<DEE. AU —AIZ. AN —LADFETHIIERE T LHENH LN DOND/NNTA—F—Z2FHL T
HAMEEINTVET, INEDNTA—F—2ZLHT5I2id. LFOERZITNET,

1. BE#ETAA M) —LAND/ —RFERDIT5,

2. J—RERBARNI—L (HBEWVWIEMH) OFREEZELEET 5,

/ — FORE
AR —LTE, SESERAECHED ) — FERDTHZENTEET, TNEDAY Y REROEI
BHLET,

#10. BFD /) — RELEDIT /20D XY R

Ay R RO MR B

s.findA11(type, label) KT 27 RELET—HEETRNINEREDTA
TO/—RDYAMZERLET, T—
HRIF I T IV DONWTINNA None
DHEIE, BOI—HDINTA—F—n
FHINET,

s.findA11(filter, recursive) EEtT o7 BELEZT7 I —TZIFANENS
TRTHD/—ROEEZERLET.
recursive 7 7 77N True OHEIL.
HELEZAR)—LNDA—)N—/ —
RbmBINEd,

s.findByID(id) J—R fREL/Z ID ©/—R&ERTH, TD
KO — RINEFIEL IR WEIZ
None ZiRL £9, MRIIBITA MY
—ALIBRESNET,
s.findByType(type, label) J—R BELET—FRERIT TN ERD
J—R, BBNIZFDMHFERFHED ) —
RERLET, T—FREZIT4FTO
WITNMN None DAL HOI—F
DINTG A= —=MEAINET, —K
T3/ — RNEEDHEHIL. FED
J—RNREINET, —F|TBH/—R
N2 WS, ROMEIE None TY,
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#10. BItED ) — RZRDITZ720DAY v R (#E)

AV R RO iRy EA]

s.findDownstream(fromNodes) HE T 57 ELEZ—ROU XA MMBEREL.
fRELE/—ROTRICH D —HD /
—RZERLET., BREINBU AR

3. BUICHEELZ/ —RbEENE
ER

s.findUpstream(fromNodes) HitkE T 57 FBELE/—ROU X MMEREZEL.
fBELEZ/—ROERICHD—HD /
—RZRELET., BENBU AN

3. BROICEE L/ —RbEENE
9,

BZIE, AU T T7 AT ABREOH LD T4 )Y —+ J—RBA M) —AICEENT NS
B FTDTA4INI— ) —RiE,. LFOAZY T rZ2FHLTRDIFZZENTEET,

stream = modeler.script.stream()
node = stream.findByType("filter", None)

HDHWE, /J—RDID (/=R 14707« Ry 7 AD [TER] ¥ TIRINTNWD) Wonhd56
3. FO ID ZHHALT/ —REBRRETEET, #HIZIE, UFOXDICLET,

stream = modeler.script.stream()
node = stream.findByID("1d32FJT71G2") # the filter node ID

TONT4 —%ERET S

J—R., ZARU—=A, BTN, BEOHEATOTXRTIZIZ., 77 BAREET. 1FEAEDHEITRETRER
ONT 4 —MHOFET, @, 7074 —d. ATV FOMEBL VOB ZEFE T 5 -DICHIN
F9, AT hOTONT 4 —DT IV EABLUOREIHEHTEDAY v RERORICEHL £,

K1l 7227 FOTONT 4 —DT I CRABIORED/ZDHDAY » R
AV R RO DR G|
p.getPropertyValue(propertyName) |A 77 K FRELETO/NT 4 —DEERT D,

FTDOXDITOINT 4 —EIEL 72
AL None ZIRLET,

p.setPropertyValue(propertyName, |72l fBELETONT 4 —DfEEREL
value) 7,
p.setPropertyValues(properties) 7L BELETONT 4 —DEEZRELE

T, Ta)TF 14— v TOEKEH
Z. TanNFa—gEEITF—L, F
DT TINT 4 —IZEID Y TEHREND

HETHRINTWET,
p.getKeyedPropertyValue( F Tk fRE LT O/ ¢ —DEH LB
propertyName, keyName) FFosNTnEF—2KRTH, TOX

7T OINT 4 —FZIF—DFEL
I2WEETE None ZIRL 9,

p.setKeyedPropertyValue( A fRELZ7aNT 4 —BXUF—0
propertyName, keyName, value) EELET,
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FIZIE, ARY—LADEBEICHDZEET v 1) - J—ROEZEFRETIHEL. UFKOAZ YU T ~2H
TEET,

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUG1n")

HHNE, T4 — )= S T4 =)V RET4INFY T TEELRT., ZOHEE. 71—V RAITH
LTEBANLET, #IZIE, AFOLSICLET,

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

/= FDERER M) —LDEE
FLV/ — REBEDA N —AIEINT 28805 0 ETHHEOZ N — A2/ — REBIT 21003, 8
HUTF OMEEETNET,

1. /J—REERT B,
2. J—REMHEDARNY—LA - TJ0O—ICY 0T 3,

J — FDERK
AR —=ALTIE, SEIFERHET/—RZERTEET., INS5DAY Yy RERDERIZEHL T,
K12, /—REIEKTDZ0DKX v R

AV R RO DR B}

s.create(nodeType, name) J—R fRELET—8D ) — RZIERL
T, \BELEA N —LAITBML F
ERS

s.createAt (nodeType, name, X, y) J—R fRELET—Y®D ) — R&EERL

T, BELEARN) —LDRELREY
FHEMLUET. x <0 E72012 y < 0
DA, BIIRESNEEA.

s.createModelApplier(modelQutput, | /—R I NEETNHAAT Tz bh
name) SIRELEZETIV - T T I — "/
— RZEERLET.

BIZE, ABU—LNIZHLWT =8 ) — REERT 21213, MFOAZ U T hEfATEXT,

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")

J/=FDUH &Y OERR
ARU—=LRNIZH LW —RZ2ERT 2556, €0/ —RZ2HT 213/ — RO =7 2 ATEHT 240
ENHVET, A=A /= REU I BER) DV RRT 572005 DAY Y REBH D ET,
INBORAY y RERDEITEHLET,
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#13. /=R 0BEN VRS D/20D X R

AV R

RO D%y

GrL|

s.link(source, target)

AW

YA )= REZ—Fy ke =R
DENZH LW > Z2ERLET.

s.link(source, targets)

AW

=2« J—RERESINZU AN
DEY =7y FOBIZH LW > %
L ET,

s.linkBetween(inserted, source,
target)

AN

o 2 DO/ —R-A2AZ A
(VA A N Al A
Ry offfic/ —RzE#ERL, #ALL
J—ROMBENZINSD / — ROMIC
BHEEOICHRELET, V=R J—
cer—4y k- J—ROBOEREY
O INERINCHIBRE N E T,

s.linkPath(path)

A0

J—=R A 2AY 2 ADMDH LN
AZERR L ET ., &HID/ — BN 2
HHD/—Ricy >N, 2 HBHOD
=R 3 FED/—RIZI &
. LAFRBRICY > 7 anEd,

s.unlink(source, target)

U

VA )= REZ—Fy k- ) =R
OMOEHEY > 7 2HIBLET

s.unlink(source, targets)

AW

V—A - J—RERESNIY—T Y
FeUZXMNOEFT 7 FOHD
B > ZHIBRL £9,

s.unlinkPath(path)

L

J—R A AY L ADMICHFRET S
AT RTHIBRL £9,

s.disconnect (node)

ANV

fBEINZ/ —RE BELEZANY
— AHNDOMDTRTH / — RO
> EHIBRLE T,

s.isValidLink(source, target)

boolean

BELEY =X« J—R&EF—F
ke J—ROBIZY >V ZERTES
BAEE True Z2IRLET., TOAY Y
Ri&, B L7ZA MY — Al 5 DA
Tz MNELTNWDI &, V—
A )= RN DU EigHTE, ¥—
Ty ke J— RN 20 EZITERNS
Z&E. ZDOEDRBY U EERLTS
A BU—APNICHERNFEAE L BN &
ERELET,

PARICRT > TI - A7 )T KNI, URD 5 DO A7 #ET LT,

—_—

J— RELZz#ERT %,

2
3. BRIy AIVAN ) —RIZT 7 A INVAHERET S,

4. FERHAMS Drugl 74—V RZET 4 IVEZ )2 TT 5,
5

. T=T) s )= REFETT S,
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stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)
filternode = stream.createAt("filter", "Filter", 192, 64)

tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)

stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
filternode.setKeyedPropertyValue("include", "Drug", False)

results = []

tablenode.run(results)

J—=RDA UR—b, B, BLUHIER
J— ROMERSERZ T TR, Z<OEEICA RN —LD ) — ROBEHCHIBROSHETT, /—RDA1 >
A—h. B, BIXOHIBRICHEHTEZ XAy REZROERICELYLET,

#4 S—REAR—k B BLOHIRT 272004 v R

Ay R B0 iR GAL]

s.replace(originalNode, 2L ELEZARM)—LDIRELR/—R
replacementNode, discardOriginal) EEBLET, T/ — REEH ) —
ROWAEMN, fEELEZA RN —AICX
STHAINTNBLENRDH D ET,
fRESNZUARMAND/ —ROIE—
ZHEALET, fRESNZU A MAD
TRTO/— RN, fRELEA MY —
LMMIEENTNB EHEINET,
newlDs 77 71&, /J—RZ&EITHL
W ID ZAKT 500, £RIEFEGFED
ID ZaE—LTHATLZOMNERL
F9, AN—LAHNDOTXRTD/—R
O ID FEAETHS EMETNTNS
=0, lBELEARN)—LEY—Z -
ARV —LRFECTHDEHE. D7
7% True ICRETDHEND D X
T, ZOAYw RiZFL<fHASTNZ
J—RDUARZRLETH, /—R
DEFIFEREINTOERAL (OF
0. EFIIANIYAND ) — RONEF
EVLTLULHRILCTHD EEFED 1
A)o

s.delete(node) QD FEELEARN)—LMSIEELRE / —
REHIBRLET, /—RiE. fFELL
AR =AIZE>TRAESN TV S,
WNHDET,

s.deleteAll (nodes) L FBELZARN)—LAMBIRELZTN
TO/—RZEHBRLET, EARNOT
NRTD/— D, FHELEZA N —L4
WCERLTWABENRHDET,
s.clear() L FBELIEZARN)—LMETRTD /) —
RZEHIBRL £,

i

s.insert(source, nodes, newlIDs) -
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AMV=LAD/—FEDFSIN—=R

RIS ERE LT, HED/ — RO LRERRTFHRICHS / — REBHILEVBERSHDET, 2 hU—
KT, TNE0/ — REBIITH DM TEZZ<OAY Y KB ET, TNEDAY Y RERD
RICEMLET,

K15 EHRFLIZFRD ) — RE#HHT 220D X v R

Ay R ROMEDR G

s.iterator() 15l —4— FBELEZARN)—AIZEENTWS /
—R ATV MDA TL—F—%
RLUET, next() BIRKDIFUHL D
FIZA RY —AWEREINDEE.
TL——OBERIREHKTT.
s.predecessorAt (node, index) J—R RELRE/ — ROI\EINEZEDLE
7/ —RZERTH., A>T v 7 ANEE
REWMZTNDHEEIE None ZIRL X

@_0

s.predecessorCount (node) int BEINZ/ — ROEZEDHET /—R
D ERLUET,

s.predecessors (node) —& fBEINE / — ROEHZEDRT/—R
ZRLET,

s.successorAt(node, index) J—R fBELZ/ — ROIEE LB OES

J—RERTN, A 2T w7 ANER
A TNHEEIT None Z2IRL X

ER

s.successorCount (node) int fBESINZ/ — ROEZEDOER / — R
DEZERLUET,

s.successors (node) — fBESINZ /) — ROEHDOEH / — R
ZRLUET,

IHHDHEEEITHIRR

WERkDAZ7Y T RTIE, AFOFIOL D72, clear AX 2 ROIFIERMFHEN T R—FINTNET,
 clear outputs . IXRTOHNEEHZYR—T % Ny bDSHIFRLET,

» clear generated palette |&. [EFTIV) NLy NS TXRTOETIV 77 v FEHEELET,

« clear stream (. A MU —LDFFZEHIFRL £,

Python A7 U 7 N TI&, DOty O HR—h3INET, ANU—4L %= v, Hh~vx—2
Y. BEAOETI Y%= v 2HETDHITIE. removeAl1() IX > REFHALET, UFICHlZRLE
‘—d_c

c AMU—=A XFR—=T ¥ Z2HET D546

session = modeler.script.session()
session.getStreamManager.removeAll ()

s B FR—=U vy 2HET H5A:

session = modeler.script.session()
session.getDocumentOutputManager().removeAll()

s BTN XX —T v EHEETHHE:
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session = modeler.script.session()
session.getModelOutputManager() .removeAll ()

/= FICET51FROAF

J— R, F=# - A F—bF S KBEUF—5 - TU/AFE— /=K, EFVME/ — K. Zof
OHED ) — R3E, EITERATIV—IHEINET, &/ — RITik, /— RICET 382 RO
BEDIHEATESS DAY v RSB ET,

J—BR® ID, 4. BEROTNINERMETLLDIHHTEDAY v RERORIZEN L ET,

#16. /—R®D ID, #hi. BEXTNIVERETZ/20DAY v R

Ay R RO Mo% Hi

n.getlabel() ped HELZ/ —ROERTINIERL E
T TRNNTONT 14—

custom name DIEE/RZDIE, DT
O/NT o —INEXTFHITI <,
use_custom_name 7 L1/XT ¢ —Vi%
ENTVARNHEEDATY, ZNLSE
DBE. T)UIE getName() DEIC
s £,

n.setLabel(Tabel) L fBELRE/ —ROFRTI NN EHREL
F9, HLWIT NN ELFHITIRR
WHE. ZOXTFAINTONT 4 —
custom_name IZEIDHBTHN, HEL
ISRV - SR g R P o R A= VAT,
4 — use_custom_name IZ False 7Vl
DY THNET. ZNLUSNOLEIR.
ZECFHIDY custom name 1ZEID YT
51, 7'0/XF 14— use_custom_name
IZ True BEIDHBTENET,

n.getName() XFF fBESINZ /) — R4 ERLET,
n.getID() el BELE/—RDO ID 2ZELULET, #H

LW/ — RMERENB=NC, #Hil
W ID WMERENET, 20 ID 13,
A M) —=LD—HE LT/ — RIMREE
INBHEEIC, J— RTxELEN,

A N)—=LZEHWEZEZIZ/—R ID
NMEFFESh s 51k nEd, =272

L. REFELE/—RWNA MY —AICH#
AZINDEE. BASINE / — R
LWwA 7oz hERREIN, HLn
ID NED B TENET,

J— RIZBET 5 ZDMDEHRZRGT D72DITEHTE LAY v RE2RORIZELNL £,
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K17. /—RICBHT2ERERIGT 720D X v K

AV R

RO D%y

GrL|

n.getTypeName()

XFA

IO/ —ROAIV T NAERLE
3., T, 2O/ —RDFHLWLA >
AH 2 AEERT BEDIHEHTE S
AEiERCTY,

n.isInitial()

Boolean

IR D J—K (AFU—=LD
FHEICH D/ —R) THHEHEEIL
True ZiRL £,

n.isInline()

Boolean

N1 >4 > )J—R (ARU—
LOHRIZHSD /) —R) THHHE
13, True Z23RLET,

n.isTerminal()

Boolean

IO/ — R (ARU—LDFK
RBIiCHD /) —R) THHHEEIL. True
ZRLUET,

n.getXPosition()

int

ARU—LHND/ —FRD x (&S T
ty hEELET,

n.getYPosition()

int

AR —LND ) — KD y i+
Ty hERLET,

n.setXYPosition(x, y)

ANV

AR —=LHND /) — B ONEZRE L
i@_o

n.setPositionBetween(source,
target)

AW

HESNZ/ — ROMIMET 5L
WA RMY—=LKND /) — ROILEZRRE
L&ET,

n.isCacheEnabled()

Boolean

F vy T aNERRBEIE True 23K
L. 25 TRWESIT False ZiRL
F7,

n.setCacheEnabled(val)

ANV

DX TPz bDF vy azHH
FRIFEHNCLET, Fyvadnn
SIEVOEEITF v v 2 a NN
HE, FryvialdvoviadIng
ER

n.isCacheFull()

Boolean

Fy v aNnolZNDBEEIL True
Z2RL., O TRHRWEAIT False &
BRLET,

n.flushCache()

AV

ZD/)—RDFrvarzTlIvia
LET. FrvviaNGThVES
P XNThRWGES, BEIHD E
A,
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E 48T ROVUTH API

AU UZT bk API OHIE

AU TN APL 12D, WAV SPSS Modeler HEREICTY VAT 52 EMMTEET., ZIETHHALTE
Ay Ridndind API O—FTHO., BIMTA > H— EfThRTHAZ U T MNNSEEERIIZT
DEATHIENTEET, 2L, APl VT RS H2LENH L5813 LFOAT—FART
BIRIIIZ APL 21 >R — R T 208 NH D F7,

import modeler.api
ZO import AT — KA NI, Z<DAZUT N API OFITHEIZ/RD T,

AZUT b APl Z@UTHAMRRZY TA, AV Y R, BRONXIT A=Y D%ELREITA Bid. TIBM SPSS
Modeler 17 Python Scripting API Reference Guidel & WO XEIZHENTNET,

Bl: hRAG L - 74NVI—%ERLEL/ — FDIRE

Bl RXR=2D T —ROBRKI D7 a>Tld, RBEHEELL T/ —ROYA THEFHALTA NI —A
D) —RERFTZHZRLELE, BEICE-> T, KORANEZRENLEICEDET., TOXI 3R
RaFET 5T, NodeFilter VI ABLVARY —LAD findA11() AV REFEHLET., ZOFEDOK
RKIFLLTFD 2 B TITWET,

1. NodeFilter ZHiAEL . HAF L+ NN—23 > D accept() AV w REFRETIHL WY T AZERL X
—d_o

2. ZOHLWITZADA VAT P ATARNI—=LAD findA11() AV v RZFOHLET, 2L,
accept() AV v RTERINHEZTEZTIRNTDO/ —RNRENET,

AR)—=LD/)—=RD55, /J—ROF+ v alNBEMIE>TNS ) — RERRT 2 H1EEZLT OFITR
L¥9d, BN/ —RFOUAMEFERLT. 260/ —ROFvy v a7y ad50E0LT 2
ZEINTEEXT,

import modeler.api

class CacheFilter(modeler.api.NodeFilter):

"""A node filter for nodes with caching enabled"""

def accept(this, node):
return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findA11(CacheFilter(), False)

ASF—%: F—HCHT 2 1EH

A BRNY—ANTIIEED ) — RNEWIZER SN TWSEED, &/ — R THAWRERYE~IT 7« —JL RIZ
BT 2BMEHEHATEET, ZHUTLD, #AIE Modeler UL Tld, V— hERIFEFHOREEL DT 1 —
IWRZEINTEZET, ZOBRIIT—4 - EFILERENET,

AU TRE, /= REHADTE T4 =V REFARDLZEICEST, T—F - ETNIKTVEATLH I L

AT, MO/ — KT, ANF—% - EFNERNT—F - EFUBALTT, HlaE, V—h -
J— R, La—REEABRSEIT. F—F - EFNELEETHERBDERA, —BO/— R (7
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A4 =V B/ — R72 &) TR HilWwI =L RZEMTEXT, o/ —F (T4 )Ly —+ /=KL
E 74—V RO&ARTZAEELZD, T4 =)L RZ2HIBRLIZDTH I ENTEERT,

PLFOHITIE, A7 U7 MIFERED IBM SPSS Modeler druglearn.str A MU —AZHAL. WTHno
AN T 4=V REMRELIREDETIVNT 4 =)V RTEITHEINE T, 2. UFOLSIfrbnE
ER

T8 ) — "ot T —% - BETIWICT VAT S,

HHhF—% - EFTINOET 4=V REIN—TT 5,

BEANT 4 —=IVEDT 4 IIVF— - ) —REEET 5,

BEPOETIVOLHIEEFET 5,

ETIWHEE ) — REETT 5,

A S e

H: druglean.str A MU —LDAZ Y T MEETTHHIC. AV YT hFiE%E Python ICRRETHI L%
BINRNWTLZEIWN (ZOA MY —AIE IBM SPSS Modeler DHN—a > TERSNITWSZH, X b
U—=LADAZ )T REFERE LA —ICRESINED),

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue("use_model_name", True)

lastRemoved = None
fields = typenode.getOutputDataModel ()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", TastRemoved, True)

# Remove the field
lastRemoved = field.getColumnName()
filternode.setKeyedPropertyValue("include", TastRemoved, False)

# Set the name of the new model then run the build

c50node.setPropertyValue("model_name", "Exclude " + TastRemoved)
c50node.run([])

DataModel 727 MZd, T—% « TTIVHND 7 4 —)V REZIZHNCETHERICT VAT D200
< DAY RNHBOET, ZNHDAYw RERDORICEHLET,

#18. T4 — IV REEIZINCET BIEHRICT 72 XT38 DataModel 777 |~ « X/ R

AUy R RO DR GoL]

d.getColumnCount () int FT—% « ETIVNDOINDOEZERL £
ER

d.columnIterator() 15 —4— BHE 757 A)VIE] OfFANEF Tl

TATLV—F—%RLEXT, 157L—
T —3FNDA 2 AY D AZRLUET,

d.nameIterator() 17L—=%— HEHO4ETE [T 7 A IVIE] Off AR
FCRIATL—F—Z2IRLET,
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K18 74—V REZIFFNEHT D EHICT 7 ER T 25728 D DataModel T 727 | « XV v F (# &)

Ay R RO DR FE

d.contains(name) Boolean 8E L=ZFTDFNN Z D DataModel
WIZTFET 581 True ZIRL. 77
TELRRWEEIT False ZIRL T,

d.getColumn(name) 5| EESNZ4RIOFERLET,

d.getColumnGroup (name) ColumnGroup FRELEIZIN—TERTMH, fFEL
BT — T INEIE L IR W&
None ZiRL £,

d.getColumnGroupCount () int ZDT—4 « BETIVNOFN T IV—T D
BERLUET,

d.columnGroupIterator() 17L—5— BN N —T & FIRKTA T L —F
—ZRLET,

d.toArray() Column([] F—% « BTV EFIOEFIELTRL

F9, NI T7 71 IVIE] OfFANEF
(A A=

£ 74—V K (Column F 727 ) IZid, FNCEHTHIERICT VAT HLDDEI DAY Y RINEE

NTWET, IFTDFEIC,

INEDOAY Yy RERLET,
#19. FNCEHTBIERICT 2B F2720D Column 77« XA w R

AV R RO DR i}

c.getColumnName () e FO4FIERLET,

c.getColumnLabel () &2l FNDZ NV 2RI D, FNT T X)L
HAFT 5 N TV ARWE A2 T %
ELET.

c.getMeasureType() MeasureType SIOWES A TZIRLET,

c.getStorageType() StorageType FIDARL—2 « L T2RLET,

c.isMeasureDiscrete() Boolean FINBERRL DG EIE True ZIRLU E
T, by FMlFERITT I TROFNI.
BB E R anEd,

c.isModelOutputColumn() Boolean FIMET IV NIFN DG ENL True 2K
LET,

c.isStorageDatetime() Boolean DAL=, B %l HF, £72
351 L AT T OEOEEI
True ZiIRL X9,

c.isStorageNumeric() Boolean FIDA L —V N EZITEHRDS
A1 True ZRLET,

c.isValidvalue(value) Boolean BELEMENZDA RN L= TERE
WAL True Z23RL. G375 OEMN
NmB5E1F valid Z2RLET,

c.getModelingRole() ModelingRole FNIDETFIAERDEE 2R L FT,

c.getSetValues() Object[] FIDOH RN/ DBLFN 2R, fES)

MEBWEE RNy NEIT
WAL None ZIRL ET,
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£ 19. FNCBHT BIEHRICT 22X T B7280D Column 77k« XV R (%Z)

AV w R ROMEDR L]

c.getValuelLabel(value) XFH FIDMED Z )V 2RT M, BTN
IBEATT 5N TR WS ITZe T
FERLET,

c.getFalseFlag() FTTT b IO Tfalse] FEFAE 2090, fEAS

MEIRWGEEEIIFNN T Z 7 RITrs
WIBEE None ZIKLET,
c.getTrueFlag() FTTr FID Ttrue) EEFAEZRT D, (EAS)
MBI WEE RN T 5 7 RIT
WA None Z2IRL ET,
c.getLowerBound() FTx b FIDED FIREZ R T D, [ERD0 5
BWEE FE R IIFNEGER TR WSS
X None ZiRL 79,
c.getUpperBound() A o/ FIDOMED FIREZIRT D, ERZNS
IBWEGE F3ANN G T WG S
I3 None ZRL £9,

FNZBIT BIBMICT VAT HIFEEAED A v RIZIE, DataModel 772 27 MIEBZBINTWBEIZED
Ay RNHODET, EZI1E KD 2 DDAT—FA ML, AUbOZEELET,

dataModel.getColumn("someName") .getModelingRole()
dataModel.getModelingRole("someName")

ERENEATOL O MANDTOER

ABMY—=LZFETT DI, BE, BNOHNIA TP/ bEERTZ2LENHDFT, NS DBEMDF
Tyl bE FRETIV CIBOETTHRAT S ERERET D) T2 2 ENTEEXT,

TREDHITIE, AR —LDBESEL T druglearn.str AN —AZHEFHL TWET, ZOHIT
3. ARNY—LADTXRTO/—RZEETL, F#RZUANMIMBMHLET, XKiZ., A7 U7 MTIEEREEIC
DNWTI—TL. ETO/EELTHSNEETIVHSIZEZ IBM SPSS Modeler 7)) (.gm) 77 1J)LEL
THREL. EF)VE PMML =7 AHR— kKL ET,

import modeler.api
stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAll(models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunner()
for model in models:
# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelQutput)):
continue

label = model.getLabel()
algorithm = model.getModelDetail().getAlgorithmName ()
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# save each model...

modelFile = modelFolder + label + algorithm + ".gm"

taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...

modelFile = modelFolder + label + algorithm + ".xml"

taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

IADFATY T AR, K<HEHT2SEIERUHZETTL5OIMEMNTT, 2OV I ATHARTREIR A

v ROERZUFDORITRLEXT,

#20. K<HHITDUBEETTH/0DI XD FEFTT TADRAY v R

Ay R RO B
t.createStream(name, autoConnect, | A bU—AXA FHA RN —LZERLTRLUET,
autoManage) FERBETA M) —AZERL TL—Y
—MMEARARICT ZHENDH D T— R
Tld. autoManage 77 % False I
RETHDLENHDET,
t.exportDocumentToFiTle( 2L fBEEINZT7 7 1IIVEXZHEHLTA
documentOutput, filename, N —ADEBHE T 7 A)LICT 7 AR
fileFormat) LT,
t.exportModelToFile(modelOutput, |7xL fBEINZ7 7 IVEREFERLTE
filename, fileFormat) FNET7AIWICIZI AR—KLZE
ER
t.exportStreamToFile(stream, Q) BEEINZT7 7 1IIVIERXZMEHL TA
filename, fileFormat) FN)—LZT7AIVICZZ AR—FL
£7.
t.insertNodeFromFile(filename, J—R RESNZT 7 AIVInG ) — REHH»
diagram) AH. FBEINZFA TV T LITHiA
LTCGRLEY, /J—R-FT2xV K
EA—=NN—/)—R - FTTx7 bOM
T D AHAARIMERHT 2 ZENTEE
ER
t.openDocumentFromFile(filename, |DocumentOutput HESNLET 7 AIMSE RFa AT
autoManage) EHAIANTIERL ET,
t.openModelFromFile(filename, ModelOutput RESINZT 7 AIVIMNSETIVEHH
autoManage) AAUTIRLUET,
t.openStreamFromFile(filename, AR —LA BESNEZT 7 AIVMBEA RN —L%
autoManage) FAIRANTIRLET,
t.saveDocumentToFile( L BESINZT7 7 AIVDOBEANC RF 2 A
documentOutput, filename) S RERELET,
t.saveModelToFile(modelOutput, L RESINET7 7 A IIVOBFRIZETIVE
filename) RELET,
t.saveStreamToFile(stream, sL HESINZT 7 AIIVOHANIA R —

filename)

LERELET,
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I 5 —ninE

Python SaBICIE. try...except I— R - 7O V7 IZ XD LTI —UHEN D> TWET, AV U T KRANTZ
NEFERTHE, fisE Ty 7L, MLLUBRITIUIAZ Y TR T LU TLUEDBEZUET 5 Z &N T
S

FRED A7) 7 MMFITIE, IBM SPSS Collaboration and Deployment Services Repository 7 & E 7)) % i

LEDELTWET, ZOEETIIFNDFET D[RR H D ET HAE. VRPN —onr 1 &
BERNIEL SEESNTOUARVES®, URI M) —ONRANES TWHEENEZSNET), AV

T R TEDOFEENFKAET S E, ModelerException WA O —I41F T (IBM SPSS Modeler 124> TARKRS

N5H154EL. X T modeler.api.ModelerException M HIREL TWET),

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

H: 227U 7 MEEICK > T BEHED Java BINADFETHHERH D ET, s OfsME
ModelerException MHIREL TWER . TNSOHNEF ¥ v F T 572D, BIMD except 7w 7
ZHEALTIXRTD Java piINEF v+ v FITHIENTEET., AFITHIZRLET,

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

AMU—=A, Eyoary, BEUVR—NK—/—F - NKNSA-5—

INTA—=F =L, BHEAZV T RORTHEEZEENCI—T 4 >V T250TIdAR<, EIFRFICIETHAICME
MTT, NIA—F—LZDfEIL, AN —LDBELFRUAETERLET. DFED. AMY—LFLE
A==/ —=BDNNITA—=F—+ T—=TNOHEHEL T, £LEFAYXC R FA2DNTA=F =L LU TE
#ZLET, LTFORITRTEDIT, Stream 7 7 AB K SuperNode 77 T Ald. ParameterProvider + 7 =
7 MZEOTERIND —HOEKZEEEL TWET, v aiZid getParameters() DIFUNH LANH
HINTHD, BUOHTE, ZNSOBEBEERTHF 727 FNREINET,

# 21. ParameterProvider & 717 MZK > TEEINTWDEI#

P LA RO D™ |
p.parameterIterator() K18 DA TP NDINT A—=5—4D
RETEZRLUET,
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2 21. ParameterProvider 17220 MZEk > TEHRINTWBEE (% Z)

AV R RO DR B
p.getParameterDefinition( ParameterDefinition RESINEAMERFD/NTA—F—D
parameterName) INT A= —EHFEZRLUET, %4UT

BINTGA—F =N DT ONA Y —IZ
FIEL 7R WEETE None ZIRL £7,
R, AV ROITOH & N7
TOEFDAFy T ay NTHDHH
BEMENHD, ZTORICZOTTONA Y
—ZWUCT/NTA—=F—IZx L TiThH
NEEENRBINTNS EIZED E
.

p.getParameterLabel (parameterName) | X5 BESINIENRITA—Y—D TR EIR
LET, BT D/ XA—F —NEE
L7aWEE1IE None Z2IRLET,

p.setParameterLabel (parameterName, | 7% L BEINLNT A= —DITN)V &G
Tabel) ELET,

p.getParameterStorage( ParameterStorage HESNLENTA—FT—DA N —
parameterName) ZRLUET, BZETH/NNTA—F—In

FELRNWEEIT None ZIRLUET,

p.setParameterStorage( AP HESINIENTA—F—DA L —
parameterName, storage) ERELET.

p.getParameterType (parameterName) |ParameterType BEINENTA—F—DT—F %

BLUET, ZUTDHINT A= —0F
FELRRWEEIE None ZIRL T,

p.setParameterType(parameterName, |7%L RESNENTA—F—DF— 5%
type) BELET,
p.getParameterValue(parameterName) |47 7 BESNIENTA—Y—DEZEIRL F

T, BT DHINT A=Y —DNEFEIEL
WA None ZIRLET,
p.setParameterValue(parameterName, |75 L BESNIENT A=Y —DEEHREL
value) *9,

DTFOHITIE, A7) T NTEET—F 5285 L T, FHNAT—IDNRBENWEEEZRL T, X2, £
DWEBTAR =L« NTA—F—ZFRELET, I5HIT, TOANI—L4A « NTA—F—E5L M/ —
RTHEAL TEOMEEET—F NSRRI L2, BDOT—Z I BB NET IV EERL ET,
ZOFITIER. AU T NTEREHE /) — RBEREART 5720, [ELWHEZSEHE 7 — RoRXITE AR
TEREZEVWDET, REHARHNIZR>TWET, LNL, BH AR —ARFIERNIMERIN TSRS, T
DHETINT A= —%RET 5 EMFEHTT,

A2 U T MAORAI DS TR, FEHRANR DARNEIREZNT DA R —L - NTA=F—ZFERL %
Yo Flew AV T ITRERHTIOFERTIVERT 7> FI0/ — ReElR L. MEICHERL £,

import modeler.api
stream = modeler.script.stream()
# Initialize a stream parameter

stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)
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# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

ZOAZ YT MITEUFDOA MY —LZERL ET,

p—

F i, r .
.II N F N . FEEE
-."‘ E_] .__:' h ':._ §)-_ r ﬁ EEEE

g “\___ 4 :._ )

telco.say Angregate Tahle
Vs \ —E—h\ P
i f i %
= O 29
2?}}—————*h1j?; Csh
Select Type churn

K5, 2207 MilpsE5705 X N —A

2007 MIOLLF DT, HEHT T > F O TT =TI+ S — REFEITLET,

# First execute the table node
results = []
tablenode.run(results)

27U T MIOLLFOFEHDTIE, T—T) - /= ROEFICK> TERSNT—T IV Y 7 AL £
To AZUTRTIERIZ, T—TNOFEBICDONTREL. SEEHNANRDENFEERZRL £,

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None
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# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income

row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

A2 U T SOUTDOED T, SFERADNRBEWERZ#EA LT, BIANCER L LowestRegion] A b
U—=Lb - NITA—F—ZRELET., AV U T FTIERIC, HEOFEBREEET—INSBRIALTET I -

ENVY—zF T LET.

# Check that a value was assigned
if min_region != None:

stream.setParameterValue("LowestRegion", min_region)

else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria

c50node.run([])

2707 "Ml E L FIORUET,
import modeler.api

stream = modeler.script.stream()

# Create a stream parameter

stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use field format_ for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)

aggregatenode.setPropertyValue("keys", ["region"])

aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)

selectnode.setPropertyValue("mode", "Discard")
# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region'

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output

'$P-LowestRegion'")

et

&
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table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

sa—/nNJLi&E

ryo—)NUEE, fBELZT 4 =)V FOBHEOEKHEI EZEHE T H520IEHL XTI, I OEFEIC
3. AN —LNOEBEOEHNEST IV EATEET, J7O0—NUEIX, AN —LADNSA4FTTY VAT
ELHENIHRTARNI =L - NFTA—F—ELUTWET, ARU—L + NTA—F—EDHESIZ. A7
TRROAX R« A hERATEHOTIE RS, FO—=NHEDRE / — ROFEfTIN 5 EBEHEAT 5N
FFAENHBMICEHRINDZETT, AN =207 O0—=NVUEIZTY 7 E AT 5121, ARU—AD
getGlobalValues() AV w RZIUNHL £,

GlobalValues 77 M3, AFORITRTHEKZERL TNWET,
K22, GlobalValues 7217 MIZE> TEEIN TN DK

AV R RO D™ Ellil

g.fieldNameIterator() A& Z7a—=N)ViEZE 1 DLLEF D& T«
=N RHDKETERLET,

g.getValue(type, fieldName) ERAVE /BN BEINEZT—~RBINT =)L R

HOTO—=)N)UEERL ET, EAR
ONSBNEETX None ZIRL £T,
EENDMET—RICEIETT N, [k
DEIETIIHOMOEZKET L D127
HulfetEmNd D £9,

g.getValues(fieldName) sS4 fRESNEZT7 44—V READERIOT >
M) =250y TEERELET, 71
— )V RIZEEDOT Y M —NW0nEE
¥ None ZRL %9,

GlobalValues.Type &, fHAPIRE/RERIMETEDY 1 T2 ERE L X9, DL F OB ENFEHTRE T,
e MAX: 7 ¢ —)V R OEKIE.
¢ MEAN: 7 1 —)L R D1,
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o MIN: 7 ¢ —J)L R Di/IME,

e STDDEV: 7 ¢ —)b R DR,

o SUM: 7 4 — )V RDIEDEET,

BIZIE, AFDAZ U 7 M lincome) 7 4 =)V ROFEWBEHEICT 7 ALET, 2070 —)VRIE, ZFo—
INVEDERE ) — RIZE > TRtEEINET,

import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")

BHOR M) —LDNE: R4 RK7AY RVYTH

BEEROZA M) —LEUITZI12E, AF > R7O> 2270 T hEaHHAT20ENRHDET, A K70
> A2 U7 K&, IBM SPSS Modeler Ul WTHiEL TETT S0, Ny F - E—RTaAX> R IA1
o NTA—Y—ELTETIENTEET,

PLFDOAZ > R7Oy AU T MI 2 DDA M) —ALZAEET, —HDODA NI —AMITETIVEERL.
2 ZHOA RN —LARBFHEMEOMiZ 7Oy NLET,

# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/17/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunner()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applyc50.setPositionBetween(derivenode, histogramnode)
plotstream.linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.run([])

# Finally, tidy up the streams

buildstream.close()
plotstream.close()
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E£58 RoUTbDEVH

IOt arTid, AZVT RO FEFVWFITOWTHEEZHPILET, Zhicid. AU —L0%
fTREELEZD, AV YT N THEBIINZ/NAT—REZHHLZD, £/, IBM SPSS Collaboration and
Deployment Services Repository TH 77 MITY V2 ALZD T HIEENETENET,

APV —LAERTOESE

XFU LAEFEFTTDHE, Y—IFI) - /=BT 73 )L hORRICEREL SN EETEITINET, R
WU T, BIDIEF TETIEZIEHTEET., AN —LOETFIEFZEETHICIE. [AMU—A

@7DA74~J§47D9 Ry 72D [Ef7] 7T, UFOFIEEZETLET,

1. ZOAZ )T E2RELET,

2. V=IUN—=D [FI7x)IVb AZUT 2B K229 I LT, TI7HINEFDAR)—L « X
7UThEBMLET,

3. TI7AINBPDAMY =L« A7 U T FOXDNEFZE, EBRICFETTDIEFICEELET.

J—BRDIV—F
for W—7ZMHHL T, ARY—AHNDITXRTDO ./ —R&EIN—TTEET, X UFOZAZ YT Milld
TRTD/—RZIN—TL. T4 — J—RIZBIFZ 74— IV RGERLFITEELET,

RS ND 7 40—V RMa < TH, ZOATZYTMEITANY— J—REFDODEDLIBRARNI—LA
WCBNWTHHEHTEET, 74— IV RHZLHEMICKLFICERTHITIE. IXRTOT7 4 =)V RZEET T ¢
W — - )= REEEZBEIZENT 57213 TY,

# Alternative 1: using the data model namelterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# namelterator() returns the field names
for field in node.getInputDataModel().namelterator():
newname = field.upper()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName().upper()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

ZOAZ VT NIBIEDA RN —LHNDTRTO /) —R&E)—TL. £/ —RKNT4 NI —THo0nEDI M
#Frzw I LET, J—RNT4NI—THDIEE, TDO/—ROKZET 41—V REIL—TL,
field.upper() B9%kF/=1% field.getColumnName().upper() BE%kZEMifH L T, ARiEZKLFICTEHEL X
—a—-o
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IBM SPSS Collaboration and Deployment Services Repository RA®D#
TOoxO0MADT7OER

T4t > Af}5-X 37z IBM SPSS Collaboration and Deployment Services Repository 73 5 H&13, A7 U
TheaARPREMFHLT YR M) —OF TVl bERE BiE Oy 73Xy JHRNTE X
T, URP M —Z2HTHE, T2 =TI THEDT TV r—2a >, V=), £kiFVVa—a
VERET, T8 XA T - BTNV EEET L THA T2 DI T YA VI EERTEET,

IBM SPSS Collaboration and Deployment Services Repository Dt

DR MY —Ic7 7829 5Iid. £9. IBM SPSS Modeler L—H—« A > —T 1 —2D "V—)l| A
Za—FRFaAT IR I 05, URY MU I L TENBEREZRET H2HENHVET, GEL
<iE. REwZ[69 X—=2® TIBM SPSS Collaboration and Deployment Services Repository i D515 [
ZRLTIZI N, )

FT7 Tz b ORGSR

Z27 U7 RHNT, retrieve IX > R& store AXREZHHALT, AMNY—A, 7). HH., /—K,
BT ovzr baE, SFEIERA T MIT IV BVATEET, BUIXROEBD T,

store object as REPOSITORY PATH {label LABEL}
store object as URI [#1.label]

retrieve object REPOSITORY PATH {label LABEL | version VERSION}
retrieve object URI [(#m.marker | #1.label)]

REPOSITORY PATH IC&>T. URY N —HNOFA TP =7 NOBEAINRD 5NET, /NAZ5HRF TH A,
RUIDNFELTAT Yy P azlHTLZHENDD £, KXFE/NCFIIRFIL EHE A,

store stream as "/folder_1/folder_2/mystream.str"

store model Drug as "/myfolder/drugmodel™

store model Drug as "/myfolder/drugmodel.gm" label "final"

store node DRUGIn as "/samples/druglntypenode"

store project as "/CRISPDM/DrugExample.cpj"

store output "Data Audit of [6 fields]" as "/my folder/My Audit"

FT7arEULT, AT NI str ® gm BREDIIRTFEZDZENTEETN, 2T, 72
T MAIC—EUERNHBBOMEADZETIEH D EFR A, HIZIE HERTEMTITICETINNRIFESNDY
. FCARMTIET20ENHD £,

store model "/myfolder/drugmodel"

retrieve model "/myfolder/drugmodel"

H D WNIE

store model "/myfolder/drugmodel.gm"
retrieve model "/myfolder/drugmodel.gm" version "0:2005-10-12 14:15:41.281"

I FOBRERICHEEITREZ LG, N—=2a B3 ININERELBRWVWED, 7227 N0k
FIN—2a oHIRENDZETT, /—R AT r7 FZ2EIGT 2RHTIE. / — RIZEEFICEEA
R —AIHAINET, AN —A-F T2 NERIGFT DHRCIE. AF > R70y 27U T Nz
ATBHENRSDET, ARY—L  AVUTNANNSA NI =LA - F TPV bERIETSIEIITEE
NEW YR

FTTr oy rBLNay g
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AP VT RinG, 7227 b0y LT, BhrO1—F—0BEDON—2a > &HHLZ0H L IWN—
Ta EERLIEWEDICTHIENTEET, O/ ENEA T2/ bOuy V&I HILEDTE
ESU

Iz hEOyrBEIROy IVERT S 27y 7 AERODEBODTT,
Tock REPOSITORY_ PATH
lTock URI

unlock REPOSITORY_PATH
unlock URI

F7 Y7 N ORER X CHURFEAE. REPOSITORY PATH I2&-> T, URT MU —NOA TP 7 b OBFFRN
rOENET, NAZHIHAFTHA, RUYUDXFELTATy a2l TL2LENHDET., KXFEN
SCFEEFBIL EE A

lock "/myfolder/Streaml.str"

unlock "/myfolder/Streaml.str"

Fhe, ATV NOYFERDBHIZIE. URT R — -« )NATIE72< URI (Uniform Resource Identifier)
ZfEATE XY, URI [THEFEEE spsscr: 284, TRICHAFTHENTVWDHLENH D LT, /NAKY)
DXFELTREAT a2 dEiS ZENTE, AR—AEIEELTHIHLENHDET, DFED, INAH
TIIAR—ZDORDDIZ %20 Z2EHAL £T., URl Tid, KXFENLFRIRHILETAL. W DNpIE2E
F5ERDED T,

Tock "spsscr:///myfolder/Streaml.str"

unlock "spsscr:///myfolder/Streaml.str"

FT72x 7 bOOyZIFITRTON—2a>OF TPz MTERSINET, &§N—Taz0y 7 £k
O 7fEbRd 52 LidTEHE A,

G5{L/XRA T — FDERK

BEICE-oTIE, AU T MINAT— REZLBRTHIHLEND 2N BANET . HIZIE, NZAT—RTHR

EINLT—H - V= ALT IV EALEWEGRETT, BE/SAT— R, KROGFHTHEMT 2 Z &N

TEXJ,

e THAN—ZAAN/—RBIXUOH N/ —RD/—R - JONT 1 —,

s Y=N—IZOVA 250D E - T4 2515

s IUAR—K -/ —RO IR ZFTMEERTB/INTA—=F—+ Tv A1)V par 77 1IVIZHRESINS
T N—=AHH T TINT 4 —

A=Y — A 2F =Tz —AM5, Blowfish 7IVIU ZALIHEDWEREFIL/NAT — REERT 5T &N

TEET GEHICOWTIX. htp:/twww.schneier.com/blowfish.html &ZHR L TL/Z3W0), NAT— RZEREH

kL6, Z2ONAT—RZIE—LTAZUT K- TyANRIAX R - T4 V5IBITEET S ZEMWT

Z %9, databasenode KLU\ databaseexportnode X%/ — K « 7 O/85 1 — epassword [IHEH1L

INAT—RZHML £7,

1. BEEL/SAT—RE2AKRT2I2E. W)l AZa—NoXROEHZEIRLET,
INAT— ROy a—R..]

2. IXAT—R] Ry Z7 AT AT—REFELET,

3. BBkl #2720 w 203 35&, I AMIEEILINZNAT— RNERENET,
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4, Ta¥—] Ry EZ7YUwITDHE, BELINZNNAT—RRZ7 Y w S R—RiZaE—anxd,
5. XAT—RZHMDOAZ ) T FR/INT A= =T DT FET,

ROV T horE

(2> Rya>y AZUT R 4707 « Ry 7 ZADY—=IVN=IZHDHRVBERY > 27w 73T
X, TRTORAVYTRDI DAY I AEBRETDHIENTEET,

K6 ARU—L < A2 TRDY—=))N— T

A2 VT FORERFICO—RICT I —Nbo72HE, LTI —2EET2 Ay -2 LHERT 2EEHENEK
RENFET, TI—DHATEERRT DI, 1707 - Ry IV ADTFRIZH DT 4 — RNy 7 iEwRE Y
Uy 27 LTSN, TR THEFARRSNET.

AR - SAUDPSDRIVT B

WEIILI—T— A =T —ANSITbN LK ERZ, AV ) T TETTZIENTEET,
IBM SPSS Modeler Z##id 5R2Id, AR I ETAY >Ry « AN —LZHEEL THET
LTLZZn, IFichlZzRLULET,

client -script scores.txt -execute

-script VI JBHEESINIZAV Y T EO—RTBIEE, -execute 7T ZWEAZ YT K- Ty A )L
DITRTOAXY > FZ2ETTLHILEERLTVWET,

IHY U—R&EDE %

PIRT®D IBM SPSS Modeler DU ) — XA TERINAZZA 7Y 7 ME, BERHEOU ) —ATHLHELRL TE)
ELE T, 2720, BT« 77y bBNA MY —LAICHEBNICHEASN (T 74V hRE). A MU —LH
OZDOHHEOEGFE Ty B EMAERIIMETIHE0NHD0 T, TNNERIITHONENE S NI,
TEFINVEANY—AIEM A7 a Bl THOETFIVEER &+ 7>a> (V=) > T
av]s>la—¥—FFTary) > HEA ) OREICE->TEROET, Hl2E. BEFEOFT v ~EHIR
LTHLWF Ty FEFAL, 77y NOBMHBEZQLETSHHY U—ZANSDOAT U T NOEENLERGE
MH0ET,

BEDQY U —ATIERLIEAZ U 7 M, BEIOU U —ATREMEL RN ENH D ET,

HNWY U —=ZTERESNEZAZY) T RS 25a< > REFEHL, 20X RRNY U —Z23NThHhSoa
TORICESHWASNT (213, BIEINT) WaBHEEIE. HTWEMEREL THR—FENETH. [H
FRZEE Ay = ERINET, FIAIE B generated +—7— Rid model IZ. clear generated
I& clear generated palette ICEEMASNET, HWEEMED A7 U 7 MIKARE L TEEL £90%,
BEHBFRRINET,
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APV —ARTEREANDT /LR

%< @ IBM SPSS Modeler / —RT, 7)., 757, BEXORFT—TINERT—yLaEOH ATy
RNVERSNET, ZNSOHTDEIZ, ZNUBOFEITORSETHEDICAT ) T RMEATE5EH
ARBENEENTHET, IS0, 227>y 27 FEiIca 7 FERENn5s) ic7)l—71k

INEJ, A>T FIE. AT FEHBNTHYTERZIID 2EHLTTY VBATEET, ZN65D

BICY 7B AT5hHEE. 20T FMERTIREL (Ta>F>y 50 ) IKE->TRAEDET,

BlzZE, Z<OFHETIHAITIE, PMML &S XML O—fZ2@#HAL T, EFIVICET 2E® (%59
BTTo2PVary VI—DMEHTE T —IVRP. Za—F) Xy hT—VHNOZ 2 —0 > O ks
TOMERE) ZRBLET, PMML Z2HT5ETIVIHATIE. ZOBERICTY VAT LHDIHHAT

5 XML a7 > EF)ERELET., LTI zERLET,

stream = modeler.script.stream()

# Assume the stream contains a single C5.0 model builder node

# and that the datasource, predictors and targets have already been

# set up

modelbuilder = stream.findByType("c50", None)

results = []

modelbuilder.run(results)
modeToutput = results[0]

# Now that we have the C5.0 model output object, access the
# relevant content model
cm = modeloutput.getContentModel ("PMML")

# The PMML content model is a generic XML-based content model that

# uses XPath syntax. Use that to find the names of the data fields.

# The call returns a list of strings match the XPath values

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")

IBM SPSS Modeler (3. A7 U rTUTFOa>T Y EFINEYR—FLET,

o =) ATV TFI: fTEFEL TR INS BT — TV T2 7 VA TEET,

« XML a5 £F): XML B TRES N> T >VIT VR ATEET,

« JSON 225> E5): JISON R THRES NI T VT VA TEET,

s FlEEta Ty BT BED T 4 — IV RICETAMETOERICT VA TEET,

« RPZTLDOFEEIA>T VY BFIV: 2 DO T 4 —)V ROMDOHET OB E1T 2 DOMEHDO T+ —)b
ROMICHAHEIZT 7V EZATEELT,

F=2) ATy EFI

T—=) A>TV BEFIIE, BHIBTESNOT YT VAT 500 EMAEETIVERMEL ET,
BEOHNOMEIL., TXRTARL—=0F A4 THRECTRITFIUIRD FR/A BIZIE, XN EITE
).

API

723, API

B0 fid Ay R B

int getRowCount () ZOT—TINHNOITOEERL £7,
int getColumnCount () ZOT—=TINHNOFNOEZERL £T,
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#23. API (&)

RO i

Ay R

GrL|

String

getColumnName (int columnIndex)

RESNLIA 2T v 7 AMEBITH S
Flo4ai R LET, FIOA Ty
AL 0 MEIREDET,

StorageType

getStorageType(int columnIndex)

BESINEA T v I AMBEICDH BF]
DAL= A4 TERLET, 4
DA T I AL 0 MSIBRED F
E

Object

getValueAt(int rowIndex, int
columnIndex)

BESNTA 2T v 7 ABLUFIA
DT ADKBICH BEER L F
T FTEFDA T w7 AL 0 5
BEDET,

void

reset()

ATV BFIVICEEAMT S
NENHA RN L =22 T RNTHELE
9,

J/—RBEXUHEAH
ZDOERTIE, 0¥ 1T T
#24. /= RBILUOHS

Y ETINEGTOH N EERT S/ —REU A RLET,

J— k4 HEpIES ars 7+ 1D
table table "table"
RO UT DG

stream = modeler.script.stream()

from modeler.api import StorageType

# Set up the variable file import node

varfilenode =

stream.createAt("variablefile", "DRUG Data", 96, 96)

varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

# Next create the aggregate node and connect it to the variable file node

aggregatenode =

stream.link(varfilenode, aggregatenode)

# Configure the aggregate node
aggregatenode.setPropertyValue("

keysll s ["Dr‘ug"] )

stream.createAt("aggregate", "Aggregate", 192, 96)

aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node

tablenode =

stream.createAt("table", "Table", 288, 96)

stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object

results = []
tablenode.run(results)
tableoutput = results[0]

# Access the table output's content model
tablecontent = tableoutput.getContentModel ("table")

56 IBM SPSS Modeler 17.1 Python AZ J 7T h&F—hA— 3>« i1 R




# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), ¥
tablecontent.getStorageType(col), ¥
tablecontent.getValueAt (0, col)
col = col +1

Z7VT RO [FNw 7] #7123 LFOX S ihnFErInExd,

Age Min Integer 15

Age Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugY

Record Count Integer 91

XML aA>F>Y EFII
XML J>52Y FF)LTE. XML XR—ZADALT VT VB ATEET,

XML 225>V EF)UE, XPath RICE DA KR—F > M7V b AT BEEETR—FLET,
XPath K&, MO LT EDBEFEELITESEZLEETINEERT D LFHTT, XML > 72
TFIVE, SFEIERAT OV FOEKRE, XPath DY HR— N TEESLEERDZROI /N1 ILIZDN
T, 7N RZRLUET, ZHUTEKD, Python A2 U T RS OIFOH UWNEMIC/ARD £,

XML d>7 > BT, XML XEZXFHE L TRIEENEENTHET, ZHUTKD. Python
A7) TR A—HF—F, BRI ESDTEELW Python 71 77U EMEHAL T XML 2T TEET,

API
#25. API
R0 fifi AV R e
String getXMLAsString() XML ZXFHELTRLUET,
& getNumericValue(String xpath) INAZFM LU 7=/ Rl E U TRL
9 WBIZIE. NSARIC—FHT2EH
O¥EHNT R LETD).
boolean getBooleanValue(String xpath) FRESNTNARETHE L /=fE R 2 T
—MEELTRLET,
String getStringValue(String xpath, RESI NN T 5, EEM=E
String attribute) 7213 XML J — REOWTNNEIR
LT,
XF5D R~ getStringValues(String xpath, BEINENRAI—KTDHIXRTORE
String attribute) HEEZIE XML /—RiEDOD X b
ZRLUET,
XFIDUR DY X S getValuesList(String xpath, <List |[fEEIN/Z/NAIC—HTDHITXNTDE
of strings> attributes, boolean MDY A MZ&, HEREGEIT XML
includeValue) J— R EHITGRL ET,
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#25. API (fi &)

RO i

Ay R

GrL|

Ny ra T—T)b (key:string,
value:Tist of string)

getValuesMap(String xpath, String
keyAttribute, <List of strings>
attributes, boolean includeValue)

F—EBMEEZITX XML J— Rz +
—ELTHATANY 2 T—T))
R, E/z, lEESINZEBIEEDOY
AhET—TNEELTRLUET,

boolean

isNamespaceAware ()

XML /N—H—03 i 22l 2 585k L T
NWBRENHDHINESIMERLET,
F7#) NI False TT,

void

setNamespaceAware (boolean value)

XML /S—H—2 A Ei2e i 2580 L T
NWBBENHLINEDMNERELE
T, TOAY v RTIE. BEOIFUH
L TAENRNREIND LHI1ICT 5
7291 reset() BIFOHL £

void

reset()

ZDALT Y BFIVICEEMNT S

NENHA L =22 T NTHELE
T (FyvadIN/z DOM 47

7 g &),

/—R&8LUHA

ZDETIE, T T T2y EFINEEOHADZEERTS / —R2U A MLET,

#26. /S — RBILUOHD

J— K% h# ars s+ ID
FEAEDETIV ENST— FEAEDERENIZETIV "PMML"
"autodataprep" AW "PMML"
RO U T O

N~ — ~

AT VT I8 AT SO Python A7 YU T ROI—RiZ, LLFOXSIZ2DET,

results = []
modelbuilder.run(results)
modeloutput = results[0]

cm = modeloutput.getContentModel ("PMML")

dataFieldNames
predictedNames

JSON a7V ETI

JSON a> 57> 7).

cm.getStringValues("/PMML/DataDictionary/DataField", "name"
cm.getStringValues("//MiningSchema/MiningField[@usageType="predicted']", "name"

JSON ERoa> 7 voHyiR—h2igMdsz0icflcNnEd., 20T

TIVTIE, EDMHEICT 7B AT BN EIENH LTk L TWa Z &Rt & LT, IO LochMVE 2 il
TELLDICTHHAN API NHEfEEINE T,
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API

#27. API

RO fifi AV R Ei]

String getJSONAsString() JSON > F >V EXTFHELTRL
ESJCIN

Object getObjectAt(<List of chjecta> FBESINFZNADF T 7 h2RL

path, JSONArtifact artifact)
throws Exception

F9, fHEINZI— FEREHR X)L
ThiHamERHdD. ToHLEFa >
TV —MMERINE T, RS
NDMHEF. VT IICFH, B, E
¥, FREFTIVETHZN. HDN
13 JSON R&EY JSON 727 k
F 721 JSON EHIDNT D) TH
HHREME B H D FT,

Ny ra T—7) (key:object,
value:object)

getChildValuesAt(<List of object>
path, JSONArtifact artifact)
throws Exception

INAIN JISON AT N2
Bl BEINENADOTFHEERL £
T, TNUSNDOEEIIXINERL £
T, T—IINNOF—IIXLFHNTT
N BEEAT SN TWBEER. VTS
NI TN SN =l = 7
ETHDMN. HDWIE ISON FLEY)
(JSON A7 x/7 hFE7=IL JSON fic
FlOWTNN) THAHAREESHH D F
ER

ATz FDYR B

getChildrenAt(<List of object>
path path, JSONArtifact artifact)
throws Exception

JNAIN JSON EFIZfR 38613, 1R
EINEZNADF T FOYU A -
ZIRLUET, ZNLAHOBEEIXIV %
ELUFET, BRINBMEIZ. UTFIILX
FH BEL B FRETIVET
HBM, HDNT ISON R
(JSON #7277 h%7=I JSON f
FIDOWTND) THHuREESH D F
7,

void reset() ZOaACTY EFIVICEEAMT S
NENEBA L —22TRTEELE
T (FyviadIN/z DOM + T
7 Mg &),

y &/ vl Y7

JSON BRITEDWTH NI ZERT BN ENY —/ — FRH 25813, UFOoa—REfFHALT, Ty 7o
Dty MZETHERICT IV EATLHIENTEET,

results = []
outputbuilder.run(results)
output = results[0]

cm = output.getContentModel ("jsonContent")

bookTitle = cm.getObjectAt(["books", "ISIN123456", "title"], None)

# Alternatively, get the book object and use it as the root
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# for subsequent entries
book = cm.getObjectAt(["books", "ISIN123456"], None)
bookTitle = cm.getObjectAt(["title"], book)

# Get all child values for aspecific book
bookInfo = cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-level "books" value
# contains a JSON array which can be indexed
bookInfo = cm.getObjectAt(["books", 2], None)

# Get a Tist of all child entries
al1Books = cm.getChildrenAt(["books"], None)

st aryrT oy EFIVBLUORTZ S EDOHEStaYTY T

FIiEet a7 BEFIVTIE. 74—V RTEIEHETESHE 1 2ROMED K7 7 A TEET,
Ry ZTEOREA> T EFINTIE. 74—V RORTETEETELHEERIT 7 4 —)L FNOEIZ
TR ATEET,

et OREIZIZLATFO B DONH D £,
e Count

* UniqueCount

* ValidCount

- Fi5fE

- A&t

. BR/ME

« mAIE

. SEp

. DEE

» StandardDeviation

* StandardErrorOfMean

- EE

* SkewnessStandardError
* KurtosisStandardError
* Median

« E—F

* Pearson

o HOEL

e TTest

e FTest

— DI —DIIFTDHEDHITHE L. TOMDEIIRY TEDRETDOHEDHITHE L XTI,

INGZERT D/ —REUMIRLET,
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o RCibHEREE 2 — B FIRET &R L. BT 4 — IV BAMEE SN TR EHERARY TLOMEHEERTE X
ER

 TIBE ) — R FIEERL. A-N—L A T4 IV RMEESN TV HEIEARTY T L0t &4
RCTEXT,

e EHJI)—F: T4 =)V ROXRTY ZLTHEE, £HETHET7 4 — IV ROEZEMD T ¢+ —)l REHR & g
THEXIZ, XY ZEOHEZERL T,

RO > T > EFTIVEMENE. TORED / — FOEEEEZTD /) — RNDREDW FI1Z K> Tk
XDET,

ColumnStatsContentModel API

£ 28. ColumnStatsContentModel API :

RO fid AV R L]
List<StatisticType> getAvailableStatistics() ZDETIVTHEAM e/ 2R L F
To BTLBITRTOT 4 =)V RAT
NTOMETDEZFFODITTEH D %
A,
List<String> getAvailableColumns () MR EITRE I N/ ROFN4ER L E
j_o
Number getStatistic(String column, FNZBEEMT SNtz R U E
StatisticType statistic) 7,
void reset() ZOaArT Y BFIVICBEEAMT S
NENELA R L =P 2T RTHEELE
ER
PairwiseStatsContentModel API
& 29. PairwiseStatsContentModel API :
RO fil AV R B
List<StatisticType> getAvailableStatistics() ZOETIVCHEATRE/KE 2R L £
T, BT LHEITNTDT 4 —)L KT
NTOfEtDMEZEFFDHOITTIEH D F
B,
List<String> getAvailablePrimaryColumns () MEIMEIRE I NE/HRO 1 KFl4%
RLUET,
List<Object> getAvailablePrimaryValues() FEDEEINZHRD 1 KADHE
ZRLUET,
List<String> getAvailableSecondaryColumns () MEIMEITR I NE/RO 2 KFl4H%E
RLUET,
Number getStatistic(String primaryColumn, | FIZEHE T S N/MMeHEZ R L £
String secondaryColumn, 7,
StatisticType statistic)
Number getStatistic(String primaryColumn, |1 KMl & 2 KINZEEA 572
Object primaryValue, String MaMEZzZRLUET,
secondaryColumn, StatisticType
statistic)
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£ 29. PairwiseStatsContentModel API (%)

B0 i Ay R B

void reset() oA TV ETFIVICEEAIT S
NZHNEA RN L =2 2T RTHELE
ER

J/—RBEXUHEAH
ZDOETIE, T T T2 EFINEEOHANEERTS /) — K2 A MLET,
#30. /—RBLOHT:

J— K% iPIES ars F ID T

"means" "means" "columnStatistics"

CPH9 — K)

"means" "means" "pairwiseStatistics"

CE/ — K

"dataaudit" "means" "columnStatistics"

(T—IBE ) —F)

"statistics" "statistics" "columnStatistics" RED 7 4 — )b ROWRAE S

GLIR#EET / — F) NEGEDOHERINE
EBS

"statistics" "statistics" "pairwiseStatistics" T4 =)V RIPHEBEL TS

FLb#EEr / — B) BEDBERSNET,

RO UT Dl

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []

statisticsnode.run(results)

statsoutput = results[0]

statscm = statsoutput.getContentModel("columnStatistics")

if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " = ", statscm.getStatistic(cols[0], stats[0])

statscm = statsoutput.getContentModel ("pairwiseStatistics")
if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns ()

scols = statscm.getAvailableSecondaryColumns ()
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stats = statscm.getAvailableStatistics()
corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)

print "Pairwise stats:", pcols[0], scols[0], " Pearson = ", corr
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F6E AV VER - S1 55

V7 bho 7 DES

ARV =T 2T« PATLDAR R - FA EMHL., XROXLSIZTL T IBM SPSS Modeler LT
=%7,

1. IBM SPSS Modeler 31 > A R—)lEdNTWAHIEa1—4—T, DOS DXV a~X>R-7O>7h -
T4 RUEREET,

2. IBM SPSS Modeler { > —7 1 —A%&A 5T 547 « T— RTEETSITIL. modelerclient O
ROREANL, BEWTHZIXKRD L D @ ssi%z2 AL £,

modelerclient -stream report.str -execute

ERATREZEIE (7 9 7) IR0, ==k, AU —Lr00—-F, A7 U7 FOFET, £idbh
FIECTHD /N T A= —DIFEZEITO TEMTEET,

ARk -S4 5 HDOER

IBM SPSS Modeler DEEFNZATHT 572D, AX R« T4 D55 (77 7HREBIREEINET) 24
@ modelerclient A~ RICEMTE%XT,

EEOBEOINY R - SAVEIEZHHATEET, 2NH0aAXRI R - 12818 ICDODW Tzt >
a > THIBLET,

F31. AT R - T 5O :

SIBORSH Z &

AT LDFIEk FHL<E FEVIR=DD T AT LDBIE |5
LTSN,

INT A—=F—DiI% FHEL<IE PEVITR=DD TXTA—F—0D51%] |
EZRLTLSZE 0N,

H—IN—HERH D55 FHLE PEv IR RX=20 TH—N—FRHD5IE |
ZHHELTSIZE N,

IBM SPSS Collaboration and Deployment Services LI, FEw I X—=2 D TIBM SPSS|

Repository %#tD 515 I@aboration and Deployment Services Repository {##5i D)
EET a3 AN -2

IBM SPSS Analytic Server ##i® 5% FLIE, FEwZ[0 R—=2 D TIBM SPSS Analytic|
Server #REDBIE BRI T /ZS W,

BIZIE, AFOLDIZL T -server, -stream BEN -execute D7 TV RIZFH L TH—/)N—I1THHm L.
AR —AZ0O— RBIREFTEET,

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

B—=H)b - 75147 2 bDA A=V EBGT 225G, T—N—HEEO5KIIARETT,
AR=AZZGONITA =Y —HRI_HIFAFTHD I ENTEET. A ROLIITHRDET,
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modelerclient -stream mystream.str -Pusername="Joe User" -execute

F 7=, IBM SPSS Modeler D AT —hrEAXZ U T R, TNEI -state 7TV & -script 777 &2 Fif
LT, ZOHETETTEET,

H: I R THIEMN I A=Y 2T 255, 5IAMFORNICHRESZESSENH D XT, JIUTX
0. XA OfFRPICGIRAAFRHIBR S 172 <720 X7

TNy AR - SALUDF]|¥

AR T4 22T\ 733121 modelerclient I RE[MHL., MUz 51%%E#HL T IBM
SPSS Modeler ZE L X9, TIUTKD., O REATPEBDICETIND I EEMIAETEET. £k,
tyar XNIA=F—=] ¥4707 Ky IA (WV—=)V] AZa—, Eyiar NTA-F—Di%
E) DARUR - TA DL ESINDENT A=Y —DIEEHRTZH I EHTEET,

AT LDGIE

A=Y= A 2F =T 22— ADAIX R+ T VICEHEHTHHATE S > AT LGB ERORITRL £

—a—o
#32. > XT D5

1%

Lo (]

@ <commandFile>

@ YFIHITI vV AZRERTSHZEICKD, O R - URNRIEETDHZ &
MNTEEXT, modelerclient IX > RIZ @ MNOBELFIERET S E. FOFIEIC
BEINZIAXR - Ty IIHOIA R, AR I VIHEESNTHSED
ERUED I ENET, #FL<IE. FEYIZI0XR=20 MEEOFIEROMAE D
1Bl TS0,

-directory <dir>

FTIHFINOEET L7 M) —2&FELET, O—H)L - E—RTlE. 20T LY
M) =35 —% O A THEAINET, #il: -directory c:/ F7z1& -directory
Ci¥¥

-server_directory <dir>

FIFINVEDT—=F Y —N— T4 L7 N —ZRELET, -directory 75T
REINEET Ly MU =13, HhICERSNET,

-execute

HEZIC, BEFRICO—-RINEARY =LA, AT—b, FEEFAZUTFEFETLE
To APU—LPAT—FTRESAZ YT RO —RSNEHERZ. A7 T RET
MEFTESNEXT.

-stream <A hU—LA>

EERHC, fEELIEA MY —LAZO0—-FRLET, BROA N —LAZBETEEITN
REICHE LA N —ADNBHEDQ A MY —AICRESNET,

-script <AZ U7 b>

EBRC, fEE LAY R7y0y A7 T hEO0—RLET, FTHHLTWS A
R —ARAT—RIMATINGIFEETETETN, EHRFCIE 1 DOAZUT L
noO—RTEEH A,

-model <EF)l>

BRI, FHEDERET IV (gm WX T 7)) 20—RL £,

-state <A77 — k>

BEEIRIC, € LIeREFRADAT— 20— RLET,

-project <7017 b>

fBEL/Z7o o/ hEO—RLEY, EEFRFICE, Yoz M2 1 DLho—R
TExHA,

-output <Hi7I>

EERFIC, RESNZHEIAT 227 b (cou BT 7 1)) 2O0—RLET,

-help

AX R IAVEBBODUARNEFRLET, ZOF T a2/ ETHE. o515
BT RTEEINT, NV THENERSINET,

-P <name>=<value>

2= Ty T NTA—F—OFREIFEHINET, /—ROTO/NT 44— (AOv
K NTA=F—) OREIHHTHZIEHTEET,
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. A—YT— A2 —Tx—ATT 74NN T4 LI N —bFETEET, 2OF T3 Ty
Y2T21E, (7740 AZa—0 MEESTALZ MY —0OFE] /213 H—N— ST L2 U—
DFE] BN ET,

EE 7 y1I)loo—R

O—RINZEFT TP MR T 258 ZEVRLUIEEL T, EHRFICOTR - I10 2056, #EHEOD
AR =L, AT—bF, BEXUOHNEZO—RTDHIENTEET, AR reportstr & trainstr O 2 i
HOA RN —LZO0—R, E7T5IF, AXR - I RO RERELET,

modelerclient -stream report.str -stream train.str -execute
IBM SPSS Collaboration and Deployment Services Repository 5 DF* 7Y =7 hoo— R

7 74 JVE7=1Z IBM SPSS Collaboration and Deployment Services Repository (T & > AMNHSHLE) N5
BEDA T2V NGO ENTES70, 7 71 IIVAHDEERE spsscr: BLN, 723> T
file: (T4 AV LOF T2z b) 7% IBM SPSS Modeler IZ4 7227 FDMFERFTZRLET, LD
BHEEL, ROT I TITHEATEET,

e -sStream
e -script
e -output
e -model

e -project

PERFEMHL T 72027 FOREiRET S URL ZERLET, #IZAE ROKDITRD E

9, -stream "spsscr:///folder_1/scoring_stream.str", spsscr: OZZEEENDH 55, IBM SPSS
Collaboration and Deployment Services Repository "DAZNRFERZF LI~ > R TIHRETHLENH D £
T, TR0, BlIAE. 7V a2 REROLSITRD ET,

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-SpSsCr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring _stream.str" -execute

OXR 4205 URI ZHT2L4ENH D ZEIERL T ZI W, HfliZs REPOSITORY PATH I
PHR—hINTWERAL (FOHEIE. A7 U T NN TOAEEL 7). IBM SPSS Collaboration and
Deployment Services Repository 'OOA 72 =7 b @ URI #FEflicOWTIE, [52 X—2 0 TIBM SPSS|
[Collaboration and Deployment Services Repository WA 727 hADT 7w X ) BB L T ZI N,

INT A =5 —D5|E

IBM SPSS Modeler DAY > K « T4 VEFRHZ, NIA—FY =T 537 LLTHATAHIENTEET,
AR - TADEIEIT -P 7ITZMEHAL T, -P <name>=<value> DX TNTA—F—%2FKIT &
MTEET,

INTA—=F—F, ROWTNNITRDET,

o HifilaNNTA—F— (F/1d. CLEM R TEHEHHIND/NTA—F—) ,

« 20v b NFTA—F—, J—ROTOUONF A —LIHINBIELHVET, TNED/NKTA—F—
3. ARNU—AFO ) — ROBEELFET HEDICHEMENET. FHLE hEvIER=T0)
[T/ —Ro7o)NF 1 —OfE) EFSRLTIEI N,

+ IBM SPSS Modeler DELENZAEE T H-DICHWSENS, ARV E - I« WNTA—F—,
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BIZIE, T—% - V= ADI—HY [ ENAT—RZ, ROLHICAX R IA42DT 7 ELTHRET
HIEINTEET,

modelerclient -stream response.str -P:databasenode.datasource="{¥"ORA 10gR2¥", userl, mypsw,
true}"

&1, databasenode /— K « 7O/SF 4 —® datasource /NTA—F—DEHXEFE LTI, LI
[87 X— @ Tdatabasenode 7 T/NF 4 —] [EHBHRL TSI W0,

IE: /) —ROAWZIRET 256, “HA/FT/ —REZHA, TNS0O5IA/EMNL S TIAr—77
LENHDET, FIZE ERIOFHOT—5 J—A J— RAHIDN Source_ ABC TH2HE. AT
TOXIITEDET,

modelerclient -stream response.str -P:databasenode.¥"Source ABC¥".datasource="{¥"ORA 10gR2¥",
userl, mypsw, true}"

RO ™1 7—% V—=Z20HID LS 1T, WE/NT A= — 2R 5 AR ORI S b HETT,

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:¥Share¥TM1 Script.str -P:tmlimport.pm host="http://9.115.21.163:9510/pmhub/pm"
-P:tmlimport.tml_connection={¥"SData¥",¥"¥" ¥"admin¥",¥"apple¥"}
-P:tmlimport.selected_view={¥"SalesPriorCube¥",¥"salesmargin%¥"}

B —N—EHED5|E

-server 7 F 771, IBM SPSS Modeler (Z/87 U w7 « B—N—IZ#Hi T 2L SR L. -hostname. -
use_ssl. -port. -username. -password, HBXUX -domain O 7T/ ZfHL T, IBM SPSS Modeler 1Z/%
TUw 7« = N—IZ8¥HT D HEZERLET, -server SIBNEESIN TV IWES, T 740k « 9
—N—FEFo—h)l - Y—=N—EHINET,

%l
INT Vw27« B — N—IZHEEHT 5I121T

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

Y—IN— « T A —ITHHT DITIT

modelerclient -server -cluster "QA Machines" ¥
-spsscr_hostname pes_host -spsscr_port 8080 ¥
-spsscr_username asmith -spsscr_epassword xyz

H—/N— - 7T A —IT¥Hid 5121, IBM SPSS Collaboration and Deployment Services 2 f#if L 7z
Coordinator of Processes WA TY, L7=2> T, -cluster 51 &R MY —ffHi4+ 7 a >
(spsscr_*) EEHIHATHILENHDET, FHL<IE. hEwZ[69 =0 TIBM SPSS Collaboration|
fand Deployment Services Repository #5515 [ L T 72X,

# 33 —=/IN—HDTIH

5% EhESE

-server IBM SPSS Modeler ZH—/N— « &£— RTHEfFL. 757 -hostname. -port. -
username. -password, BEXX -domain ZFHHALT/XTYU v T « —/N—ITEH L
ESr N

-hostname <name> H—=N— X DRAMLZERELET, U—N— - E—RTLMFIHTEXE
VR
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K33 Y= N—FRDTIE (Z):

5% BRG]
-use_ssl PR T % SSL (secure socket layer) ZEELET, ZOT7 I 73 A T a

TY, SSL AR DT 7 4 )L F&EIX not TY.

-port <number>

HE LY —N—DR— &S, —/N—+ E—RTLNHTEEE A,

-cluster <name>

AR ES—N=TIFR<, b=N— IV IAY =~ OEREHELET. D5l
3 hostname, port . BEW use_ss1 BIEDOMREFTT, name 137 7 A5 —%,
%7213 IBM SPSS Collaboration and Deployment Services Repository IND 27 T A4 —
Z#HT o —HED URI TY, Y—/N—+ 7 T A& —Id, IBM SPSS Collaboration
and Deployment Services %z L C Coordinator of Processes CTEMINET, 7
L <. hEw 7| TIBM SPSS Collaboration and Deployment Services Repository 1%|
[EDBIE [FBEL T 230,

-username <name>

HJ—N—=CO 7 F >3 570D —Y—%, b—/N— - TE—RTLMIATEEE
Puo

-password <password>

Y= N—=2OTF T 57DD/NNAT— R, —N— - E—=RTLMFIHTEEH
o 7F : -password BIERZEMHLBWEE, NATV—ROANZERTE 7O
FNFIREINET,

-epassword
<encodedpasswordstring>

H—N—12O7F > T E5EDDREE/NNAT— R, —/N— - E— R TLOMHHT
EFEH A, F: BEEL/SAT—RId, IBM SPSS Modeler 7 77U —3>® MY
)] AZa—MMSAERTHIENTEET,

-domain <name>

P=N—ZOTF T LEIEAT D RAA >4, —N— - E—RFTLMFIAT
EX-JcW I8

-P <name>=<value>

A=K7 9T« NTA=H—DREIMHHINET, /—ROTONT 14— (A
Oy b« NIA=F—) OREIMEMTZHILEHTEXT,

IBM SPSS Collaboration and Deployment Services Repository &M

518

O R+ I4 %% ML T IBM SPSS Collaboration and Deployment Services TA 7Y 7 M &R{EFEL K
DEDHIL7ZD 9 %IZIE. IBM SPSS Collaboration and Deployment Services RepositorylZ 4 )72 i 2 5 7E
THBENHOD XY, LANITHIZRL KT,

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-spsscCr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring stream.str" -execute

P2 BOE T 212 TE S5O —HZ2RDEITRL KT,

7% 34. IBM SPSS Collaboration and Deployment Services Repository 1#5i D513

1%

S

7 RLA>

-spsscr_hostname <A h44E 71X TP |IBM SPSS Collaboration and Deployment Services Repository 73 > A ~—

NENTWBEY—N—DKRANGERIZIP 7 RLATT,

-spsscr_port <number>

IBM SPSS Collaboration and Deployment Services Repository 73E#Hi % K8
L7R—b&ESTY GEHF. 8080 28T 7 )L M)

-spsscr_use_ss]

R T % SSL (secure socket layer) ZfRELET, DT I 7I13A
72 a T, SSL HAREDT 7+ )V FEREX not TT,

-SpSsSCr_username <name>

IBM SPSS Collaboration and Deployment Services Repository {21027 4 2§
L1001 —H—%,

#em AR S BE 69



# 34. IBM SPSS Collaboration and Deployment Services Repository D51 (%5 &)

1% B

-spsscr_password <password> IBM SPSS Collaboration and Deployment Services Repository (21727 >4
L7DDINAT— R,

-spsscr_epassword <encoded password> |IBM SPSS Collaboration and Deployment Services Repository {21172 4 2§
LEHDITIA—RENZNAT—R,

-spsscr_domain <name> IBM SPSS Collaboration and Deployment Services Repository (2107277 >4
LEICHERT D RAA >, TDOTI713A4 T3> TY., LDAP £7zi3
Active Directory ZfiH L TOV A > LABWERD, 2075 7I3EH LK
NWTL7ZE0,

IBM SPSS Analytic Server E&D5|#

a2 R 4 2 %MHLT IBM SPSS Analytic Server TA 7Y 7 haREFELZOROHLEZD TSI
. IBM SPSS Analytic Server NDHE RN HEHREIRE T HDHENH D X7,

7E: Analytic Server DFTIE SPSS Modeler Server NS HGEINET, VI14 7 > M ETEETSZ &L
TEE T,

P2 BET 120 TE S5O —TE2RDFITRLEXT,

7% 35. IBM SPSS Analytic Server 1% D51%L

1% BERLWI

-analytic_server username IBM SPSS Analytic Server IZO7F 2§ 52001 —H—4,

-analytic_server password IBM SPSS Analytic Server {07 F 2§ 5720D/NAT— R,

Iz
Iz

-analytic_server epassword IBM SPSS Analytic Server {ZO27HF 2§ 52D DREFL/NAT — R,
IZOS % 2T B DI fE T 5 BARER,

-analytic_server_credential IBM SPSS Analytic Server

BHOF|HDEAEDE

BEOBKEETRLZaAT R - 77 A I)VEERL., BERFIC @ EIHITTED T v 1 IIVAZERET 2
ZEMTEET, T5FTHZERXKDT, AV R - I VLB EHZE ML, OS ITXHIAYFED
HIPRICEE g DM Z MRS 2 Z ENTEET, FlZIEX. LUFOREI I~ > Rid <commandFileName> AVRT
T AIVTHRESINTWSEIEZHERL £,

modelerclient @<commandFileName>

T7AINARARY R « T 7 AIIANDNAZAR=ANH L5811, LFOLSITL THHMFTHA LT,
modelerclient @ "C:¥Program Files¥IBM¥SPSS¥Modeler¥nn¥scripts¥my command file.txt"

ZOARYE - Ty AINZiE, AF—F7 w TRICEBNCHE L TWed R TOLIEZERIR T 5 I ENTE
£9, UMHlZRLET,

-stream report.str
-Porder.full_filename=APR_orders.dat
-Preport.filename=APR_report.txt
-execute

ARZR - T7AINERZKRLT, AR - T 71 INVAZBRET 556 OHIRFHZRITRLET,
« 1 FTIZDE | DOBIKERIZAT Y REDRT ZLENH D ET,
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o OAX R« 77 AI)LNIZ, @CommandFile FIEZMAAETHZNWTLZE N,

e = a2 RS 28% T1
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78 ANTF4—-UI27L R

ZONnNT 4 —SBOEE

J—R, ARNU—=A, Z—=/)S—/—R, 7Oz 7 MIHL T, HZ 03I FIFh7a/N\7 4 —2EET

EET, ARl FER, BV =)L > &, IXRTO/—RiZE@o7anNsTs—bb0FEIN,. £0D

—HT, J—ROYATICHEERTONT 4 —bHVET, Fr v TOA—/N\—/—ROMEREDE
LRWIBA N =LA EEZSRBIT 2 70NT s —bHDFET, 7ONT 4 —1F, EEOI—YF— . 1 ¥ —
TIT—AMSET IV BATE (/—ROA T az2mEdry4 70y - Ry 7 A=< GERE)., £

77 < OEREIIRRD HiETHHEHTEET,

o JONT4—IE., ORI alTHHAINTNEEDIT, AZU TS T BATEET, FFL<
[T T =02y IR EBRLTIEI N,

o J—RO7ONT 4=, A==/ =R+ NTGA—F—HTHHATEHIENTEET,

o J—RoO7O/NF 4 —Id, IBM SPSS Modeler OEEFIFICAT RS> - AT a>o—#ELT
T2 EHTEET (-P 777 %MD,

IBM SPSS Modeler DAZ YU 7 RTld, /—RBIXUOARNI—=L2070/)8FT 14—, £<AOQw b+ NT A
—H—LIEENET, ZOHARTIE, AQvu b« NTA—=F—% ) —RFEZIZANI—LDT7O/)NT 14—
R L TWET,

22T NEEOFME. AV T FEESRL T EI N,

TANT4 =D VP9I R
TaNT 4 —d. UFOT >y 7 AR LTHRETEET,
OBJECT.setPropertyValue(PROPERTY, VALUE)

El N
OBJECT.setKeyedPropertyValue(PROPERTY, KEY, VALUE)

TONT 4 —DEE. RO > 7 AEMERL TG TEET,
VARIABLE = OBJECT.getPropertyValue(PROPERTY)

El=
VARIABLE = OBJECT.getKeyedPropertyValue (PROPERTY, KEY)

Z ZC. OBJECT &/ — RE/=1IH A, PROPERTY 1ZXTHHL TnW5 /— R 7O/ F 1 —D%4RI. KEY 1
F— JONTF4—DOF—ETT, FIZIE, LFDI 7 AZFHLT, 74 IV¥— J—RERZEL.
FRTCOT 4=V RZEDEIICT I EEREL. FHRET—INS Age 74 —IVRZT4IILFY T
LET,

filternode = modeler.script.stream().findByType("filter", None)

filternode.setPropertyValue("default _include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

ARU—A® findByType(TYPE, LABEL) Bd¥kZ{fifd % &. IBM SPSS Modeler THAIN TSI RT
D) —REBMRTLHZIENTEET, D7 ED TYPE F£/213 LABEL ODWTNMMZIRETHHENH D £
j‘o
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wElkyanrag —

A7) T S EATEE O BARENE 21 BT B - e T O T 0 — 2 H AT 512, KD 2 BEOHIEND
nET,

o THR T4 F—, FREINT A J—RiaED, EMs ) — ROTONT 4 —HEHELT
%,

s BEOTONT 4 —ZERICIEET DR Z2HRMET S,
BHEA 9 —7 11— ADIEIE(L

T MOERIZA =T 2 —ANH5 /) — R, fIAE T8, T4 F— BIXUONT A -
J—REEEMBRETHAV Y T MI, ELLSITEND7-2DI—F O EEZETFT20ENHDET, =
NS OEE T ONT ¢ —IZid 1| DDA TH EHRTXOERRARNHETT, N5 087+
— T3, BH—0#pTO4FLD bEMRATDLETHD,. ZOLAHNETF—EEENET, ZOFERES
BBz, 7405 —+ J—RTIE 74—V RZTEIZ | DOBEWRIEH (&7 4 —)L RBENMED) DR
HFINFET., ZOBEREBRT L7201, 740 F— J—RiZT74—=ILRZTEIC 1| DOEREHZHEEL
FT (&7 4 —IVED true M false D)o DT O/NT 4 —ITIE. B (True) £72134 (False) DEDEE
INTVBED, FTHRREESNDAREENH D ET, mynode WD T 4 IILF— -« J— R (LFHMAD 1. Age
EVND T4 —IVRMBEILGEEEATHEL LD, TNEFTITTBHITIE. KDOLDIT, F— Age &Ml
False ZIFEL T/ O/8F ¢ — include ZFREL FT,

mynode.setKeyedPropertyValue("include", "Age", False)
BEOTONT 1 —DRTEHEBE

ZH D) —RIZHLT, BED /) —RBIOZA N =0T O/NNT 4 —ZRFFICED YL TEIENTEE
9, ZAUL, multiset A Y FFEidky b Jay 7 N TnEd,

BEICEoTiE, st 7o —NEbOTEMRZEDHDET, UNICHIZRLET,
sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age", "Ascending"], ["Na", "Descending"]])

BiElt7ONT 4 =055 1 DOFEIT. /—RPLZEL T THZD /— R EICERD 7 O/87 «
—MRETEDLZETT, T 74V FTIE, multiset 170y ZVHNOTRTOT /T 4 —ERELTH
5. JHROTONT 4 —REICHEONWTT VL are2ETLET., fIAREEE — REEXRT D EEIT,
T4 =R TONRT 4 —% 2 ATV TICRTTRETHELT—NECET, ZHUL. WHORENE
i BET/— RN —EBLRWEDTT, 7O/)X7 1 —% multiset ELTERITIUL, 7—% - T
EEFTHANCHAD T O/NT 4 —INHETE, LI —NEEINET,

1031

J=ROTOaNT 4 =D 2F v AT, FEEBEME SN THET. AREEZREA TR, A7
U7 b DIERICENLE £,

#36. 28w XTI NDEEEZ IS

B EER
abs i
len k&
B/ He/MiE
5PN A AE
correl THEY
covar o HL
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#36. 22800 XTHHINDEHEEIKE ()

=31 2k

num G =Y

pet N—t > FEREFHEG

transp %t

xval R FERRE

var AWELFER (A1 —RT)

J—=RELTCR MY —=ADTONRT 4 —DHI

J—RBIOA MY —=LDTTO/)NFT 4 —Id, IBM SPSS Modeler DI X FaBmicHAINET., &K
ZInNso7onNT 4 —id, BEROARN) —LACEBEZAMLET 5DICHNWSNSAY Y ROy AY
U7 b, FREE-ODAN)—LHNOTOEZOHMEICHNWSNEZ AR =L« AZU T E, 27
Tho—fELTHDODNET, Z—/S—/—RKNT. /—ROTOaNT4—2FHAL T/ —R - )NT A%
—ZRETHIEHTEET, bo EHEANR L X)L T, IBM SPSS Modeler OFEEIFFICAY R« 1
X Tra L TTONT 4 —ERETHIEDHTELT, IV R A > ORERFIC, -p 512
fBEITNE, ARU—L4 - 7ONT 4 —2FHLTARN)—LDOREEEAHET LI ENTEET,

%37 /= RBIUOXNJ—=LD7O/)NT 4 —DH

Jans 1 — F=UUS
s.max_size J—R s @710)87 ¢ — max_size Z&RLET,
s:samplenode.max size /i}i s 0?7°E11\i7‘f— max:size %i%%i?’o D)
- — R BT 27 J—=RTRINERD EE A,
BEOA M) =g > T2 7 - J—RD, 7a/NT
:samplenode.max_size {4 — max_size ZRLET (H>TU>T - J—RiF 1

DEFTRINIRD EEA).
J—R s @7 0/)8F 4 — max_size ZXLFET., 2D/

s:sample.max_size — R, Ty e )= RTHRITFUTARD EHE A
t.direction.Age FT—F8 ) —R t D Age 74—V ROEEZEXELET,
‘ wer ) wer ) — REEIE ) — ROMEEIEET 50
:.max_size .
- ENHDET,

s:sample.max_size OFL, / — ROFEEZTEEICHBT 2MHEN/LTNWT EZEZRLTNET,

t.direction.Age OHE. 1 DD/ — FOBHENMER OMEZFFDBAM/AE 2 DA Dy b XD b EMSSE
2, —Eo ATy MG EELTESZEEZRLTVNET, ZOL5AA0y ME. BhE{L £/ 1388~

—

O8N 7 4 —&EMEENET,

J—=Fko7anisF« —oHlE

J—ROFEEIEIC, MEBOER /T ONT 4 =Dty MBAEINTVWET, £, &£70/)857 1 —I2id
T—=HRINHOFET, —~RNBT—FROEE., 757, £REIXFIOHE. 7087 4 — DR E 5]
FICIEL WTF—FRICEREINE T, BEMICRETERVESIIT I -2 %ELET., TRUCHL., 7o
INT 4 —Z M8, Discard., PairAndDiscard. BXN IncludeAsText DX DA RNZEOHPH ZFEEL TV
L5ZEHHVET, ZOHE. @HENOENMEONLHEBICTI—IZRVET, 75787 0/87 1 —Id.
true BEW false ODEZEFHL THAAENDIDN, RESNDLENDH D F9 (0ff. OFF, off. No.

NO. no. n. N, f. F. false. False. FALSE. F7/21% 0 R EBMEORERICEHBIINT TN, T O/)X\5 4 —

%7 % JanNF4—-UT7vL>A T8



EOFHAIAARFICT T —MNEATIEEDHVET., TOMOEIZTITRTEERARINET, true &
false T B L., ZHLARBEIDEITISNETD), ZOHA1 Richa2RT—7)IL Tl #iElk 7o/
T4 —3FDEE [ 7O/NTr—DFH Mic, FHEREEDICREHBINTNET,

HiED/—F - TANRT 14—

¥%<OT0/NT 4 —7, IBM SPSS Modeler DT RTD J— K (A—/N—/— K& THEIZMHD

NTWET,

#38 HiD/— K- 7ONT 4 —

JTans 1 —4 T pARVAL R RO ]|

use_custom_name 770

name el Z R — A B ) — RE Bk G E
T HHAHMABFEHTO/NT 4 —TT
(BB E T — T —%7E).

custom_name el )= ROHNAY NA—F—FE) 4%
fRElL 9.

tooltip el

annotation el

keywords e 7Ty MIEEMT SN TWSF
—T7—RO A NERET 2HELX
Oy M TY (Bl ["Keywordl"
"Keyword2"]).

cache_enabled 757

node_type

source_supernode
process_supernode
terminal_supernode
A2 T MRICHEET 2T RTD /) —

) —REHIATZEITBRT S720IC
HH SN2 HHPAAEH 7 08T ¢
—. FZIEX. /— K% real_income
RBE D BAWZITTERT 20D
IZ. userinputnode E7/zIX
filternode DL 5751 JTHET
5ZEHTEET,

A—/N—/—REHFOTONT 1+ —id, o/ —REFRIC, BRNCHAL X,

FEL<IE. PEVZ

25 X=2 D 15 19 B Z—/N\—/—ROTO/)NT 41— [EBRLTI I,
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% 8 E Stream 7O/NFT 1 —

27T MK, SEIERA NI —L20TONT 4 —2HHTEENTEET, AMU—L20 7T/
T4 =BT, LTSk, AV T EFHT57200ETAY Y RERETHILENDD F
‘a—o

stream = modeler.script.stream()
stream.setPropertyValue("execute _method", "Script")

1

J—R JoaNF4—2HERAL T, BEOARN)—LAKNDOE ) — RBBRINET, KOAKY—L « A
U7 Mz, 2oflERLETD,

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "¥n¥nThis stream is called ¥"" + stream.getlLabel() + "¥" and
contains the following nodes:¥n"

for node in stream.iterator():
annotation = annotation + "¥n" + node.getTypeName() + " node called ¥"" + node.getLabel()
+ II\IIII

stream.setPropertyValue("annotation", annotation)
ZOFITIER, /—8 JanNs4—=FHLT. AR —LANOITXRTO/—ROYUY A MEERL., DU
AREZRN)—LDOERICEZALTVWET, ZOFERIT. ROXDITREDET,

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to K"
variablefile node called "DRUGIn"
neuralnetwork node called "Drug"
c50 node called "Drug"

filter node called "Discard Fields"

AR —=LDTOINT 4 —EROERITRLET,

#39. Stream 7O/NT 4 —:

Jans 1 —t TR Tang ¢ —0HY
execute_method Normal
Script
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% 39. Stream TO/NT 4 — (FEZE):

Jans 1 —% F—& Tans ¢ —OHm

date_format "DDMMYY "

"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD. YYYY"
"DD.MON. YY"
“DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
“DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

date_baseline Hofil

date 2digit_baseline #ofl

time_format "HHMMSS "

n HHMMII

IIMMSS n
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)s"

time_rollover 750

import_datetime_as_string 770

decimal_places Hofl

decimal_symbol Default
Period
Comma

angles_in_radians 70

use_max_set_size 770

max_set_size #fE
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# 39, Stream TO/NT 4 — (FEE)

Fany 1 —t TR TaNT 4 — OB
ruleset_evaluation Voting
FirstHit

refresh_source_nodes 757 A BU—LFETRIC, AT/ —RZ&EA
BIICY T Ly T BDIC L
£9.

script ezl

annotation ped

name XFH F: ZOTONT 4 — I3 FARD EH
TYo. AN —LHEEETDHHE
I3, A TIRET DHENRH D ET,

parameters 2H > R7BAY AZUT NS A
RU—L - 85 A—5 —ZTEHT 55
BT, ZOTONT 4 —EFALE
ER

nodes FHHFLL T EZRL T30,

encode SystemDefault

"UTF-8"

stream_rewriting boolean

stream_rewriting maximise_sql boolean

stream rewriting optimise clem_ boolean

execution

stream_rewriting optimise syntax_ |boolean

execution

enable_parallelism boolean

sql_generation boolean

database_caching boolean

sql_logging boolean

sql_generation_logging boolean

sql_log_native boolean

sql_log_prettyprint boolean

record_count_suppress_input boolean

record count_feedback_interval B

use_stream_auto_create_node_ boolean true DHHEIFIA MU —LEHOFEN

B FHEINET. e OHREIRLI—
P—RENHHENET,

create_model_applier for new_ boolean true DHFH. T - EILFY 0% L

TN

WETIVEIERTDEET VT4 T
BEH N TNL HLWET
WV T TIA4 v —BEMmENET,
7£: IBM SPSS Modeler Batch /N—3
a2 15 ZHEALTWDEAEIL. A
U7 NN THRICETIV 7751
YEEBMT2HLENDDET,
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% 39. Stream TO/NT 4 — (FEZE):

Jans 1 —%4 F—HH TaNT 1+ —DFHW]
create_model applier_update links |createEnabled ETIN - TTIA4YV— - /—ROHH
createDisabled EMFITIERT 5 ) > 7 OREgE % %
doNotCreate
LE7.
create_source_node_from builders |boolean true DHFH. V—A - EILF =D L

WY — 2T ZER T B EEICT VT
4 TIREHY >Nz, #Hin
AT — RGBS NET,

create_source_node_update_links

createEnabled

AN — ROHEBEMRFIZIERT 2 Y

createDisabled U OREEEERLET .
doNotCreate
has_coordinate_system boolean IN% wue ITREITHE, APU—
LABRRICEERNEA S NET,
coordinate_system XFS BRI NI B FEE R D 44,

80 1BM SPSS Modeler 17.1 Python AZ ) Fh&FA—hA— 3>« i1 R




FTIOE AN/ —FO7ONT1—

AN/ —FoRxBETOANT 4 —
FTRTOAN/—RICHBE TS TO/NNFT 4 —2RIC—EIZLET, TORIZ, BED /— RICBET 2 EHRMN
HEET,

%l 1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

il 2

DA YT M BESINET—F 7710, BEITOXFHN%EZKT Region EWD 7 4 —)V RIvE
FNTNWBZ EZRTEELET,

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full_filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat_square_brackets_as_lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom storage type", "Region", StorageType.LIST)

# ...and specify the type if values in the list and the Tist depth
varfilenode.setKeyedPropertyValue("custom Tist_storage type", "Region", StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom Tist depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...

varfilenode.setKeyedPropertyValue("measure type", "Region", MeasureType.GEOSPATIAL)

# ...and finally specify the necessary information about the specific

# type of geospatial object

varfilenode.setKeyedPropertyValue("geo type", "Region", "MultiLineString")

varfilenode.setKeyedPropertyValue("geo coordinates", "Region", "2D")

varfilenode.setKeyedPropertyValue("has_coordinate system", "Region", True)

varfilenode.setKeyedPropertyValue("coordinate_system", "Region",
"ETRS_1989 EPSG Arctic_zone 5-47")
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#40. V=X - /—RoH@E7To/NT 1 —

Tuny 1 —t T TOaNnT 4 — O]
direction Input T4 =) ROBEOF—TO)NT 4 —,
Target HEHAEK -
Both NODE.direction.FIELDNAME
None E: fE In & out BEIEENELL, BDOU Y —ZXT
Partition I3 AR— MR NS HENH D £T,
Split
RecordID
type Range T4 =V ROF—=F8, ZOTO/NT 4 —% Default 1Z
Flag RETDHE, values TONT 4 —IZBET DT RTOMIL
Set HEIN, value_mode & Specify WZFRET D&, TN
Typeless Read 12Vt bEINET, value mode 7% Pass E7zld
Discrete Read DN TIZRESNTWEHHEA, type OREITES
Ordered Set THEEZ T EBHDERA,
Default HAEX -
NODE. type.FIELDNAME
storage Unknown T4 =V RDANL— « A THHHAAFEHF— -
String TaNT 4 —,
Integer AR
Real NODE.storage.FIELDNAME
Time
Date
Timestamp
check None T4 =R - ZA T EHBHOREBEHADOF— - TONFT 4
Nullify %
Coerce fFEHAERK
Discard NODE.check.FIELDNAME
Warn
Abort
values [fE fE] HEA i) 70—V ROBE., RO R/ME T
BOMPRKMEIZ/AD ET, £ (2y M) 74—
RFOHE., TXRTOMEEEL LT, 77 7HMOEGE,
WP DAED false (1) % . LMD true (3) ZHRLE
T, ZOTONT 4 —ERXET SHE, value_mode 7T/
T A —DENEHEIIC Specify ICFREINET, AL —
JiE. VA NORYIOEICE DIV THRED T, flx
W BOIOMEMNFH O%E. A RL—21d Sting I
HEINET,
AR
NODE.values.FIELDNAME
value_mode Read RKDT—5 DZFIEURIZT ¢ —)V RICEZRET D0
Pass EERELET,
Read+ AEX
Current NODE.value_mode.FIELDNAME
Specify ZDTTINT 4 —IT Specify ZHEIBITIIHETERNT &

WCHEELTLZESWn, BEDOEZMEHT 5I21E. values
TONT 4 —ERELET,
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#40. V—RX - J—RoM@E7TO/NT 1+ — (#Z):

Fany 1 —t TR TaNT 4 — DY
default_value mode Read TRTOT A= RIBEEZRET DDDOT 74 hD
Pass FiEEfRELET.

HABL
NODE.default_value_mode
COBREIZLDEEDT 4 — IV ROFEEIX. value_mode
TONRT 4 —EEHTSEEA—N=F1 RENHTEN
HVET,

extend values 770 value_mode A% Read \ZF%E S NHBITEAINET,
HLULSHBANLEZ, 74 —)V ROBHFOMEIEMY
DA T 2RELET, ML<THARAALLHEZER
LT, BEFOEZEETHHAIE. F 2RELET,
{ﬁﬁﬁﬂtxﬁ :
NODE.extend_values.FIELDNAME

value_labels pezdl EIN)VOREHERL LT, BUEZEICHEEL 7.

enable_missing 770 ERELESS. 74—V RORBEDEMNEENIC

TOET,
AR
NODE.enable_missing.FIELDNAME

missing_values

[value value ...

]

RIT =5 2RmdT—IEERELET.
AR
NODE.missing_values.FIELDNAME

range_missing

TONRT 4 —IN T ITRESINTVWSHE, 71—V RIC
RIEME (Z2H) OHIFANERZR SN TNEINEDIDNEIREL
£75,

FAEA

NODE.range_missing.FIELDNAME

missing_Tower

X7

range missing ME (true) OHFH. KIBMEHIPH O T ERE
EHRELET,

AR

NODE.missing_lower.FIELDNAME

missing_upper

X4

range missing 2VEL (true) DIFE. KRIBMEEEHO LIRE
ZHEELET,

fFERB

NODE.missing_upper.FIELDNAME

null_missing

ZOTONRT 4 =N T ITRESNTWDE, X)L (V7T
FY 7 Tld $null$ &L THERRSNDHARERM) 1TXRIA
EERBENET,

A

NODE.nu11_missing.FIELDNAME

whitespace_missing

ZDTNT 4= T IZHREINTND E, ZAM (X
R—=A, #7, BLOYIT) 2T & EOEITRIEME B
ENET,

B

NODE.whitespace missing.FIELDNAME

description

T4

T4 =V RO FZIFFHPOREICHEHL £,
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#40. V—R - J—RoH@ETO/NT 1 — (#Z):

MeasureType.DISCRETE
Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
Collection /
MeasureType.COLLECTION
Geospatial /
MeasureType.GEOSPATIAL

Tuny 1 — Ty TunNF 1 — O
default_include 757 FIAINNOUEELTT =)V REBEBIEDZNT 1
WE—"INTBENDIREET DF— - T0/NT 1 —,
NODE.default_include
fi):
set mynode:filternode.default_include = false
include 77 HET74 I REFEATENT 4V —ZNT DN ERE
THF— - TONT 4 —:
NODE.include.FIELDNAME.
new_name &
measure_type Range / ZOF—fETONT 4 =& T4 —)b RICBEEAMAT S
MeasureType.RANGE NFEREZERTHEDIHATEDENIET, type
Discrete / CHERILTWET, BixbDlE, Python A7 Y 7 KT,

getter BAEUNHIZ MeasureType & IR 9 — 5 T. setter
BYELIC MeasureType fHODED 1 DZEET I EHTE
5ENIHETY,

collection_measure

Range /
MeasureType.RANGE

Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET

NET 4=V R (RSN 0 DY) OFE. ZDOF—
frE7a/)87 4 =13, EflE a5 EICBEEMA T s NZR
EYATEERLET,

Typeless /
MeasureType.TYPELESS
geo_type Point IR T 0 — IV ROHFH., ZOF—(HET/NF 1 —
MultiPoint ZKD, 2074 =)V RINKRTHILZERA T2 27 b D
LineString A TMEZINET, UL HOY A FDFES L3
MultiLineString BLTWDLRLENRH D ET,
Polygon
MuTtiPolygon
has_coordinate_system boolean HWIEZER 7 =)V ROBE, 20T 0T 1 —IkD,
DT 4 =)V RITEERD D DM ESMINEFRSINE
@_0
coordinate_system 75 HZEM T 0 — )V ROHE, ZoF—fFET 074 —

IZED, ZOT 4 =) ROMEEZNERZINET,
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#40. V—RX - J—RoM@E7TO/NT 1+ — (#Z):

MeasureType.INTEGER
Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP
List / MeasureType.LIST

Tuny 1 —t Ty A= VA R GO L |

custom_storage_type Unknown / ZOF—fFETaNFT 14—, 74— ROF—N—F
MeasureType.UNKNOWN AR ANL—VEEHETIHEDIHATELENS A
String / T. custom storage EFALIL TWET., HixsDid,
MeasureType.STRING Python A7 17 T, getter BIXUNHIZ StorageType il
Integer / ZiIRG—7 T, setter BI%EUIC StorageType fEDSHD 1

DEETIEHTELLENVNI/HTYT,

String /
MeasureType.STRING
Integer /
MeasureType.INTEGER
Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP

custom_Tist_storage_type

AN 74 =V ROEE, ZOF—(&ET0/87 1 —IC
F0, HBELELEZEDOANL—Y A4 TRRESINE
ER

custom Tist_depth B

AN 74 =V ROEE, ZOF—(&ET0/87 1 —IC
K0, 74—V ROBEINREINET,

asimport 7O/NXT 1 —

Analytic Server AJJIZL D, Hadoop 7387 7 1)V« AT L (HDFS) TA MU —LZETTHIENTE

E
1

node = stream.create("asimport", "My node")
node.setPropertyValue("data_source", "Drugln")

41, asimport 7TINT £ — :

asimport FONT 1 — =y

TaNT £ —OFH

XTI

data_source

F—=4 )= ZADE,

cognosimport / — RO Z70O/NT 1 —

@

1

IBM Cognos BI AJ;/— Rl&. Cognos Bl 77— X—ANWET—%%A 2 h—FLET,
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node = stream.create("cognosimport", "My node")
node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/serviet/dispatch",

True’ n II’ IIII’ IIII])
node.setPropertyValue("cognos_package _name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].[BRANCH CODE]", "[GreatOutdoors]
. [BRANCH] . [COUNTRY_CODE]"])

# 42, cognosimport / — KD 7' 0/NF 1 — -
cognosimport /— FD 70N

TA— TR TanT 1 — O
mode Data Cognos BI T—% (T 74 )V ~) £/IL R
Report —hEA RN TEINEIDEEEL F
E
cognos_connection ["XFH" T Z T FA Cognos T —/N\—DER DM E S 2 ~
SCFF ICF] O7)NT 14—, BWRIIUTDEBDTY,

["Cognos_server URL", Togin_mode,

"namespace", "username", "password"]

ZZT.

Cognos_server URL 1&. V— AWM N T

W% Cognos —/N—® URL TT,

Togin_mode (. EATT A > ZMHAT S0

EOMZERL. true /213 false ODWVWITH

MIZIZDET, true ITRETDHEAIL. LA

TOET 4= REKT " TEEL T

=,

namespace (5 —/N—~DOZF L IHEHT

LtFa) T —RiE S ONAFERLE

KD

username HBL N password |& Cognos H—

N=IZOTF > HICHERT 51—8%—%

ENAT—=RTY,

Togin_mode DfRHVIZ, LLFDE— Rbffi

FTEETT,

 anonymousMode, f:
['Cognos_server_url', 'anonymousMode',
"namespace", "username", "password"]

» credentialMode, #i:
['Cognos_server_url',
'credentialMode', "namespace",
"username", "password"]

» storedCredentialMode, i
['Cognos_server url',
'storedCredentialMode’,
"stored_credential_name"]

Z Z T, stored_credential_name (&, U
R RYU—NTOD Cognos DEKIERD %
HINGERE
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#242. cognosimport /— RD T O/NT ¢ — (FZ)
cognosimport /— RK@® 70/
TA— F—F il TaNT 1+ — O

cognos_package_name S T—=F - F Tz hEA R TN
Cognos 7—% + ) —Z (BA¥IIT—F X—

) DINAB LR RiZHlERLET,

/Public Folders/GOSALES

E AT ADANERTT,

cognos_items ["T4—ILVR"" T4 =L R" " T | AR —FTDB 1 DFEREBEKOT—F -
—JL R ATl bDOART. T =V E DK
1. [namespace).[query_subject].[query_item]
<9,
cognos_filters 74— R FT—FEA R NTDRENCEATZ T 1)
5 — D44,
cognos_data_parameters JZ Rk F=HDTOAY Tk XTA—F—DfE., %

AT EEDORTIIKFEIMTH A, BEOXT 1T
O TRYOD, SCFHNERIEKHFE TP A

ES I

HA

[["paraml", "value"],...,|"paramN", "value"])
cognos_report_directory 74—V KR L R—=hE&A 2 HR— TBT75INF -2

N =D Cognos /N A, KICHIZRLE

K

/Public Folders/GOSALES
E: ATV aDANERTT,

cognos_report_name 74— R AR —=r 2L HR—bDLER—DMEN
128 5 /8 A & 44,
cognos_report_parameters Uk LAR—h - NTA—F—Dff, #uiEEDX

TIEFREMTHEA, EHOXRTIFTa T TK
Yo, XFEHNERIEIREMTHAE T,

=
[["paraml", "value"],...,|"paramN", "value"])
databasenode ZO/XF 1 —
F—HX—A + /—RiZ. Microsoft SQL Server. DB2. Oracle 7% & ODBC (BT —4 X—
AR EFHTASIEIERBN T —INET =Y EA R— T HDIHHTEET,

1

import modeler.api

stream = modeler.script.stream()

nnode = stream.create("database", "My node")
node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")
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node.setPropertyValue("datasource", "Drugln db")

node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")

node.setPropertyValue("tablename", ".Drugln")

43, databasenode 7'T/NT 4 — :

databasenode FO/NF ¢ — F— Tans ¢ —0HY
mode Table 47Oy Ry 720> a—)LEHFEHL
Query TT = N—RAIHK T HITIE. Table Z4EE
L¥ET., SQL 2L TEIRSINT—F RX—
AN TY—ZfTDI2IE. Query ZIEEL £
7,
datasource X7 FT—IN—2% (FREDIEEESH).
username XFF T R—ZZH DM (FrLDEEE SR,
password &l
credential 75 IBM SPSS Collaboration and Deployment
Services IR E I N TV S ERBWD LT, &
DT 1)8TF 4 —Id, username F/ST 4 —F
password 7 /XF ¢ —DHVIZHEHT S Z
LINTEET, BEREROL—T—H LT
—Rit, 7—IR=AIZT 7L ATBHDL
—HF—HENAT— RIZ—H L TWBLEND
DET,
use_credential True £721d False IZRRELET,
epassword FEF 2V T RNTNAT—RZEN—RI—R{ET
5V, Toa—RINZ/NAT— REE
FLET,
FELLIE. FEw I3 RX=20 TREH{E/N K|
(U — RDAER) ESZRLTLZSNn, 2070
INT 4 —ld, EfTRFICHEAWROEHICRD £
@_0
tablename XF5 7Y AT BT —T IV DL,
strip_spaces None XFHNORHEDANR—AZWHET B0 T
Left >arTd,
Right
Both
use_quotes AsNeeded DI —%T—IR—AEETEHEEICT—
Always Tk EFNZEFIAGETHONES MEEE L
Never T WAL, T—TINEEFNZITAR—AR
RFENEENTND XD REE).
query XFS EETHI/T)—%2KT SQL I— RZHEEL

ES

H: T X—2% (datasource 7O/8T 4 —W) 1T 1 DUALEDAXR—Z, EUAF R ( KIERF] EBIE

END), TR TRNEGEENSHER.

MMEcs & —EG AR BLZ2EHL T 2275 e L THR

DT EMNTEET, HIAIX., "{¥"db2v9.7.6 Tinux¥"}" F7/=Id "{¥"TDATA 131¥"}". X 5IT. datasource
XFHNOMEIEHE IR OB DX DI ZERI A/ EHPFEINTHAE T, "{¥"SQL

Server¥", spssuser,abcd1234,false}",
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H: T—FRX—24 (datasource 7 O/NFT 4 —H) ICTAR—ZANEGENDHE. datasource. username. H
KW password OfEFHIDO 7T/ T 4 —DROVIZ, ROEATHE DT —% V—R TONT7 4 —&{HHT
5ZEBHTEET,

# 44. databasenode 7'T1/NT 4 — - datasource [FEA :

databasenode FT1/XF ¢ — F— FTaNT £ — DR

datasource XFS £
[database_name,username,password[,true |
false]]

BEENN AT —REFHLBRNWTA—F—T
T, true ICEBETDHE, /INAT— RME T
IEH kI NET,

T8 )= AEEETLEE, COBRAEMEHLEY, ZEL, 2P —AFLEINAT-RELEET 2
B&. username 7 /XF ¢ —E 7213 password T O/NT 4 —ZEFHTEET,

datacollectionimportnode Z70/\F 1 —

I/‘\ IBM SPSS Data Collection 7—%4 « A >/R— bk + /— KT, IBM Corp. AR MICEL>T

) ) f#ifl S5 IBM SPSS Data Collection Data Model IZH:DW/F#ET—5 21 > R—hFL &

b 9., TO/— RZEfFEHTSIZIE. IBM SPSS Data Collection Data Library 731 > A h—JL I
TWHRLENH D LT,

] 7. Dimensions T —
Gk
8

il

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")

node.setPropertyValue("metadata _file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source type", "File")
node.setPropertyValue("casedata file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("import_system variables", "Common")

node.setPropertyValue("import multi_response", "MultipleFlags")
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2?45.chnacoﬂecﬁonhnpoﬂnode Ta/)NT 4 —

datacollectionimportnode FTI/NF ¢

—

F— s

TaNT 4 — D

metadata_name

XFS

MDSC D#%Fi. Heik72ED DimensionsMDD
13, FEMERY7R IBM SPSS Data Collection A%
T—% + RF2 A IMREHINZLEDDH D
ZEZERLUET, @ENIC, ROMEZEZIFETE X
K

mrADODsc

mrI2dDsc

mrLogDsc

mrQdiDrsDsc

mrQvDsc

mrSampleReportingMDSC

mrSavDsc

mrSCDsc

mrScriptMDSC

Fek72fED none 1&. MDSC 2322 & &KL
EJr

metadata_file

X5

ALY T =DM END T 7 A I DA,

casedata_name

74

CDSC D, HHATELMIILLFOEBDT
K

mrADODsc

mrI2dDsc

mrLogDsc

mrPunchDSC

mrQdiDrsDsc

mrQvDsc

mrRdbDsc?2

mrSavDsc

mrScDSC

mrXm1Dsc

KRR MED none &, CDSC M2 Z &&RL
9.

casedata_source_type

Unknown
File
Folder
upL

DSN

CDSC DYV —A « ¥4 TERLET,

casedata_file

X4

casedata_source_type M File D&EEIT, 77—
A~ T=IMEEND T 7 A IV ERELET,

casedata_folder

X5

casedata_source_type % Folder D& EIT, 7
— A TINEEND T A IINI—ERELE
ED

casedata_udl_string

casedata_source_type 7% UDL D& EIT. 7T
— A TINEGENDT—F - —ADD
@ OLD-DB ##i X752 faE L £,
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# 45. datacollectionimportmode 7 T/NT 4 — (f£Z) :

datacollectionimportnode FTINF ¢

- F—H TanNT 4 — O]

casedata_dsn_string JFH casedata_source_type A% DSN D& EIZ, T
—% « ) —AD¥H®D ODBC #fi L F5% 5
ELET,

casedata_project peZll IBM SPSS Data Collection T —% X—ZAM 5

— A s FHERMADEZIC, TOY I R
D2 ANTEET., ZTOMDOTr—Z - F—
Y DTF—=HRITDONTIE, ZOREEZEHDE
FICLTBLLENHDET,

version_import_mode ATl BEN—=2a POMOPNHEZEELLET,
Latest
Specify
specific_version ezl version_import mode 7% Specify D& EIZ, A
CHR—=REINBT =X - T—HIDN—TaEk
EHXELET,
use_language el RESHEOINIIVNERINSEBENH HNE
IMEEHLET,
Tanguage ez use_language NE. (true) DHFHE. ANITMHH

THEEI—-REERLET., FiEI— R
=2« T=HNTHATESHD 1 DIZT

LMENDH D ET,
use_context peZdl BEDI>TFARNNANSINDLEND D)

EOMEFERLET. A2TFAML BEIC
BHE T 2HHZLRMLS D DI TN E
ER

context &zl use_context ME (true) DHFE. ANTHa
FFAMEEELET, JTFFANI r—
2« FT—=YNTHHATESHD | DIZT D44

BB D ET,

use_label type FH BEDIN)N A TWATENDHEND 5
NESMEERLET,

Tabel type XFS use_Tabel type ME (true) DHFH. AT 5

SR - HLTEEHLET., SN I T
W =R - FT=YRNTHATEZFD 1 D
T B0ENHD ET,

user_id & /RO T A 2N gE i T — 5 R— 2 DY;
BT AT AT B DI~
P— ID ENAT—RZRBETEET,

password el

import_system variables Common AR — R EINBIATLEREREELET.
None
All

import_codes_variables 720

import_sourcefile_variables 770
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# 45. datacollectionimportnode 7 T/NT 4 — (§) :

datacollectionimportnode FTINF ¢
- T— 8 TaNT 4 — O
import_multi_response MultipleFlags

Single

excelimportnode Z7O/XTF 1 —

Excel f > R— bk /—Rld. Microsoft Excel 705 xlsx 7 7 TIIVERTTF—4 %21 > HR—FL
EXCErT %9, ODBC ¥—% + V—ARAETY,

o

il

#To use a named range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")
node.setPropertyValue("use_named range", True)
node.setPropertyValue("named_range", "DRUG")
node.setPropertyValue("read field names", True)

#To use an explicit range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")
node.setPropertyValue("worksheet mode", "Name")
node.setPropertyValue("worksheet name", "Drug")
node.setPropertyValue("explicit_range_start", "Al")
node.setPropertyValue("explicit_range_end", "F300")

# 46. excelimportnode 7' I/NT o — :

excelimportnode 7O/NF 1 — F—5m TanT 1« —OHY

excel_file_type Excel2007

full_filename pel INAZGD, R8T 71 ).
use_named_range Boolean BRI S NEHEZERH T 2N E SN EEE

LEd., HOEA. GimADHIFAZIEET 20
IZ named_range ZL/NT ¢ —MMEHIN. &
DMDT =27 2— b & T —F HiH DO RE 1T EY]

INET,

named_range X5

worksheet_mode Index T—=0 = P 2T v ATERINTND

Name DA (Index). AR TERSNTNDD

N (Name) Zf8E L £7,

worksheet_index B HARDNET =T = DA 2T A,
Mou—r—kME 0. 2 FHIT 1. Eni &
A Ty I AWML ET,

worksheet name NFF ARG RET — 7 > — N DA,
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K 46. excelimportmode 7' T/NT 1 — (FE)

excelimportnode 7' TINTF ¢ — F—& R FONT 4 —DF
data_range mode FirstNonBlank HIPHOWRTE HiEZEEL £,
ExplicitRange
blank_rows StopReading data_range _mode 7\ FirstNonBlank O & E 1T,
ReturnBlankRows ZEETT OIS EEEE L T,
explicit_range_start T data_range mode 7% ExplicitRange D & & IZ,
FAADHIPHORIA R ZHEEL £,
explicit_range end peZdl
read_field names Boolean fEE S NIZHE DR OTNT 4 —IVE (F)

HELTHHAESNDNES D ZERELET.

evimportnode ZO/XT 1 —

Enterprise View / — Rid. IBM SPSS Collaboration and Deployment Services Repository ~\D#%
#iZfER L. Enterprise View 07 —% & A hU —AIZGAHAH, MOL—F—NLRI MU »
577V ATELIFUFICETINENNy T —I{LTEET,
7E: Enterprise View / — Rld. SPSS Modeler 16.0 TF—% Ea— /—RICEZMHEI 5NE
L7ze DETDOYU U—ATHRIFESNZA MU —L DA, Enterprise View / — RI35[ Sk =YK
—hENET, 2L, HLWA M) —LOEHCEREZTOHEIR, T—4% Ea— /—F
ZEATLEEBEOLET,

il

node = stream.create("evimport", "My node")

node.setPropertyValue("connection", ["Training data","/Application views/Marketing","LATEST",
"Analytic", "/Data Providers/Marketing"])

node.setPropertyValue("tablename", "custl")

# 47, evimportmode TI/NT o — :

evimportnode FONF ¢ — F—A R TONnF ¢ —DHM

connection JZk g7 oNT s — - T2 —T75
AR - Ea—DHEREERT Z/8XT A
—5—DUA K,
HAE -

evimportnode.connection =
[description,app_view_path,
app_view_version_label,
environment,DPD path]

tablename NFS TTUr—ar  Ea—DO5F—T)b
%o

fixedfilenode Z7O/X\FT 1 —

FEE/—RT. BEETA—IVE-FFAL - T ANDST—F%21 2 KR—bLET. &

no T 77D 74—V FERE SN TWERAN, FUMENSHE-> TEIREEIN
TWET, A2Ea—F—HERDT—FP, HEDIATFTLOT—FEE, LEILEBEEE
T4 —IVREXTHRESNTVWET,
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1

node = stream.create("fixedfile", "My node")

node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

node.setPropertyValue("record_len", 32)

node.setPropertyValue("skip_header", 1)

node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9, 10], ["Cholesterol",
12, 221, ["Na", 24, 25], ["kK", 27, 27], ["Drug", 29, 321])

node.setPropertyValue("decimal_symbol", "Period")

node.setPropertyValue("1ines_to_scan", 30)

# 48. fixedfilenode 7'/NT 1 — :

fixedfilenode 7 TI/NF t — F—5% TaNnT ¢ —DHM
record_len Hfl HL - FOXXFEEREEL T,
Tine_oriented 777 &L - RORRBOKITLFEAF Y FLE
ER
decimal_symbol Default T—% )= A THEDLN TN D /NERE S
Comma
Period
skip_header piglE] BADOL I— FOEHETHEET LTREREL
£9, FIRHELZHEHT LG EITRIE R
‘3—0
auto_recognize datetime 750 ANT—HF OHN F72130% % B BICRE T
LMESMERELET,
Tines_to_scan HfE
fields Uk WiE 7 0/8 T 4 —,
full_filename e NI T 7 AINDT 4 LT M) —ZE0TEE
AE 218
strip_spaces None A iR — NFITCFESN D RE D AR — A 203
Left LE7.
Right
Both
invalid_char_mode Discard T8 ANDERIERF (X, 0. F23E
Replace EOLT > I— RHIZFEEL TOWRWIF) &7
— S AN SHIBRT 55 (Discard). 185E S 7=
| XFOREGTAERLFEEEMAET
(Replace).
invalid_char_replacement e
use_custom_values a4
custom_storage Unknown
String
Integer
Real
Time
Date
Timestamp
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# 48. fixedfilenode 7/NT 1 — (FE)

fixedfilenode FONTF ¢ —

F— 5

pARVAL R RO E:|

custom_date_format

"DDMMYY"
“MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
“DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD. YY"
"MM.DD. YYYY"
“DD.MON. YY"
“DD.MON.YYYY"
"DD/MM/YY"
“DD/MM/YYYY"
“MM/DD/YY"
“MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

Zo7aNnNT 4 —F. HAY L (A—TF—FE)
AR —UMEESNSHBEOAEH I NE
ER

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

ZOTaNT 4 —ld. WAY LA (A—YT—RE)
AR =R ESNDIEEOAEHINE
KIS

custom_decimal_symbol

a2

HAARE L (AT —&E) AL —VNEES
NLHEOABEHEINET.

¥om AN/ —RoTanss— 95



# 48. fixedfilenode 7/NT 4 — (FEZ)

fixedfilenode 7'T1/NF 1 — F—& R Tang 1+ —OHM

encode StreamDefault FFEAMOTLO—REFERZEELET,
SystemDefault
"UTF-8"

gsdata_import / — RO 70ONT 14—

. Xy T T PHBER TR T8 XA kv ia JITRDATICIE. HIEEZERA
N/ —RZHEMLET,

7249, gsdata_import /— RD 7 O/NT ¢ —

gsdata_import /—RO7aNnNF 14— |F—FH AR VAL AF RO E

full_filename & O—RU7ZEW shp 77 AIVDNRAZ AL ET,

map_service URL peZll Beo~xy 7 $—EZ® URL # AL FT,

map_name ped ZO7aNT 4 —IZiE,. Xy T —E 2Dk AT
DT AN —HEEDHEN S N E T (map_service_URL
EHEATHE D).

sasimportnode ZO/XF 1 —
SAS 1 >R—h + J—RT. SAS 7—4 % IBM SPSS Modeler ~ >3 h— kL %7,

il

node = stream.create("sasimport", "My node")
node.setPropertyValue("format", "Windows")
node.setPropertyValue("full_filename", "C:/data/retail.sas7bdat")
node.setPropertyValue("member_name", "Test")
node.setPropertyValue("read formats", False)
node.setPropertyValue("full_format filename", "Test")
node.setPropertyValue("import names", True)

7 50. sasimportnode 7' T1/NT 4 — :

sasimportnode 7TI)NT 1 — T TONF ¢ —DFiH
format Windows 12R=+FT27 71 IDEK,
UNIX
Transport
SAS7
SAS8
SAS9
full_filename 75 NA®BED., FRBT 7N, TOH4HTE
ANLUET,
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# 50. sasimportnode 7'/NT o — (FE ) :

sasimportnode 7 O/NF 1 — F—5 Tang 1+ —OHM

member_name el fBEL SAS FT 2 AR—h - Tr LI5S
A R=bhTBAN—ZIFELET,

read_formats 757 HESINIZEXT 7N E, T (&
BN E) 2l HET,

full_format_filename P&

import_names NamesAndLabels AR — MRICEBRBEEH TNV EI Yy ES

LabelsasNames TIBHEERELET,

simgennode ZO/NXF 1 —

TEEY, Z0EE, A—Y—EOMADMEMHL TRANSERT 20, BEFEORET
—HIHML Ty Ialb—a it/ — R2ERITL TR N2 L THBIRICAERT
HIEMTEXT, UL, ETNVDOANITARMEEMED B 2R TTFHET IV Of R Z IS
B EEITHERTY,

Ral—Ta AR/ —RICKD, Y32l —2a RBoTrT—YERPITERT B EMN
B

#51. simgennode 7/NT 1 — :

simgennode E/NTF 1 — F—&H TONT ¢ — DN

fields S (AP AC AR il Z=2 M

correlations gt 7 a7 1 — il =21

keep_min_max_setting boolean

refit_correlations boolean

max_cases B R/MEE 1000, FRAMEIL 2,147,483,647
<Y,

create_iteration_field boolean

iteration_field name pe2

replicate_results boolean

random_seed B

parameter_xml A INTA—=H— XML ZXFHELTEREL
ES N

fields D#|

ZUE, LT oM ZAT MGk nzA0y b NTA=FTT,

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

1)

distribution 13, HMHHDES E. TNUKE<., BEOARIEMEOXRTEZEHHU A MTY, &0MITRD
EOCERSINET,
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[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min","1"],["max","2"]1]1], "", ""11)

BIZE, “HP MO —T 4 =)V REERT D ) — REeERT 572012, LFTOAZ U T hafHT 554
MHODET.

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)
simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],
[Ilprobll’ 0.7]]]’ Illl, IIII]])

“IRATIE n & prob D 2 DDONTA—F—ZFHLET, “HHM TR, BMEERRMEITYR—
hENY, EXFHELTESNET,

TE: distribution ZEBEZRET DI EIFITEEEA, T, fields TONT A —EEBITHHALET,

DTFOHITIE, BEALNDTXTODNMY A %KL ET, NegativeBinomialFailures &
NegativeBinomialTrial DM G TL ZWEMN thresh ELTANINTVNS I EICEEL TSN,

stream = modeler.script.stream()
simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2","2"]]], "" ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ,"1"],["prob","1"11], "

categorical_dist = ["Field3", "String", False, ["Categor1ca1" [["A",0.3],["B",0. 5] ["C" 0.2111, ", "]

d.lce_d.lst = [IIF.ie'|d4ll’ IIRea'l II’ Fa'lse’ [IID.icell’ [[Illll IIO 5II:| [IIZII IIO 5II:|:|:| un IIII]

exponential_dist = ["Field5", "Real", False, ["Exponent1a1" [["scale","1"]1]1], "", "]

fixed_dist = ["Field6", "Real", False, ["Fixed", [["value","1" 111, "", ""]

gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale","1"],["shape"," 1"111, "", ""]

Tognormal_dist = ["Field8", "Real", False, ["Lognormal", [["a","1"],["b","1" ]11, "", ""]

negbinomialfailures_dist = ["Field9", "Real", False, ["NegativeBinomialFailures",[["prob","0.5"],["thresh","1"]1], "", ""]
negbinomialtrial_dist = ["Field10", "Real", False, ["NegativeBinomialTrials",[["prob","0.2"],["thresh","1"]]1], "", ""]
normal_dist = ["Fieldll", "Real", False, ["Normal", [["mean","1"] ,["stddev","2"11], "", ""]

poisson_dist = ["Fieldl2", "Real", False, ["Poisson", [["mean", "1"]]] LR

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN","[1,3]"] ,["END","[2,4]"],(["PROB","[[0.5],[0.5]1"]]], "*, ""]
triangular_dist = ["Field14", "Real", False, ["Triangular", [["min", "0"] ["max","1"],["mode","1"]1]7, "", ""]

uniform dist = ["Fieldl5", "Real", False, ["Uniform", [["min","1"],["max","2"]11, "", ""]

we1'bu11_d1'st - ["F1'e1d16", "Rea1", Fa]se, ["Weibuﬂ", [[uau’uou]’[ubu’ul ||]’[||C||’||1||]]]’ ||||’ uu]

simgennode.setPropertyValue("fields", [¥
beta_dist, ¥

binomial_dist, ¥
categorical_dist, ¥
dice_dist, ¥
exponential_dist, ¥
fixed_dist, ¥

gamma_dist, ¥
lognormal_dist, ¥
negbinomialfailures_dist, ¥
negbinomialtrial_dist, ¥
normal_dist, ¥
poisson_dist, ¥

range_dist, ¥
triangular_dist, ¥
uniform_dist, ¥
weibull_dist

1

correlations Dl

ZL, AP o EFERT A ME I A0y b )NTA—=FTT,

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

1)

BT, +1 205 -1 ETOEBOHETTY ., MBISHELREIZTEET S IENTEXT, HFESNTW
IROHBE, TRT 0 ICRESNEKT . AR T 0 —IV ROEET 256, MBEEIIMHBETTY] (X3 H)
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ETRETDHENDH D, FRNTFARTERRESNEKT, ARALBRT 4 =V RBVEFEET 255G, / — R&ET
ITHZELETEEE A,

statisticsimportnode ZO/XF 1 —

IBM SPSS Statistics 7 7 1)V« /—RiZ, HUCHEKXEFEHT S IBM SPSS Statistics THEH S
N5 sav 77 AIERDT—FBL IBM SPSS Modeler ICRFEENZF vy via s T7 A
IWEFAIABET,

ZD/—=ROTINT 4 —IZDOWTIE. B21 R—=T D [statisticsimportnode 7 0/NF 4 —J [ZREHEK I TN
‘iTO

tmiimport / —RODZ7O/NT 1 —

.: IBM Cognos TM1 A71/— RiZ. Cognos TM1 T—F RXR—ZAMNW5EF—F %1 > HR—KLET,

752 tmlimport /— RO 7 O/)NF 1 — :

tmlimport /— RO FONF ¢ — F— M ZFaNT ¢ — D]

pm_host T A N—Ta > 160 BEWY 17.0 ODFEHDH
BRA MG, LUFICHlZRLUET,
TM1_import.setPropertyValue("pm_host",
"http://9.191.86.82:9510/pmhub/pm")

tml_connection ["T 4=V R T — |iE: N—T3 > 160 BED 17.0 DBEEDH
VR "7 =L R | TMI = N—0O#EE O ZE0Y 2 ko7 o/l
"] T4 — BRITROEBDTT: [
"TM1_Server Name","tml_ username","tml
password"]

PAFichlz R £9,
TM1_import.setPropertyValue("tml_connection”,
['Planning Sample', "admin", "apple"])

admin_host el FN—=Tar 171 DA
REST API O7RA R4 ® URL.
server_name & EN—=Tar 171 DDA
admin_host MSERL 72 T™MI H—/N\— DT,
selected view ["T 4=V R "7 — | BIRENZ TMI Fa2—TOFME. SPSS ~NDF
bR — DA AR —EITOFa—T Ea—0D4imiE

BGOUARDOTONT 4 —, LFICHIZRLUET,
TM1_import.setPropertyValue("selected view",
['plan_BudgetPlan', 'Goal Input'])
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userinputnode ZO/XF 1 —

il

node
node
node
node
node

I—Y—AN/ —REFHTNE &IN5, HE5VEHEOT Y EEEL T, 8T —%
EBICERTEET. U ETIUERRAOBET — v N ZERT 285678 EITHRAL
- 55X,

= stream.create("userinput", "My node")

.setPropertyValue("names", ["testl", "test2"])
.setKeyedPropertyValue("data", "testl", "2, 4, 8")

.setKeyedPropertyValue("custom storage", "testl", "Integer")

.setPropertyValue("data_mode", "Ordered")

# 53. userinputnode 7T/NT A — :

userinputnode 7O/NT 1 — F—& 1 TOaNF ¢ — D
data
names J—RIZXDERSNEZT A — IV REDOY A K
TREEIGRIHEEEATY K,
custom storage Unknown T4 —IVRDA L=V ZFETHNEKT, F
String — 20w K,
Integer
R
Time
Date
Timestamp
data_mode Combined Combined MEE S NZHE. LI—Rid &
Ordered v Ml &N REDENZE N AGDEIZD
WTHARINET, RSNzl a— NI,
TNEND T 4 —) ROMOEEDRITEHL <
R0 ET, Ordered HEEINEE. T—%
fTRAERT B2, £LI—ROKFINS 1
BOENMSNET, ERIN5HLI— K
3. 74 =)V RICBEEAMA T 5N TW S HRARDIE
WWHELLARDET, XD/NhIWTF—FHEERFD
74—V R, XIMETHD SNET,
values E: 207 0/85 ¢ —13 userinputnode.data
WWEEHZ SNz, FHLBRNWTLES
W,

variablefilenode Z7O/\F 1 —

il

100

AR/ —RT, AR 4 —I)VE - TFAb - T71)b. DED T4 =)L FRIT—ETHH

= T4 =V FNOXFENRE DL - REGDT 7 ANE, T—FEHBABLET. 0D/

— R, BEEEOAY Y — - TFANCHLBEONRNHL7 7 A IVICHHHTEET,
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node

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

= stream.create("variablefile", "My node")
setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
setPropertyValue("read field_names", True)
setPropertyValue("delimit_other", True)
setPropertyValue("other", ",")
setPropertyValue("quotes 1", "Discard")
setPropertyValue("decimal_symbol", "Comma")
setPropertyValue("invalid_char_mode", "Replace")
setPropertyValue("invalid_char_replacement", "|")
setKeyedPropertyValue("use_custom values", "Age", True)
setKeyedPropertyValue("direction", "Age", "Input")
setKeyedPropertyValue("type", "Age", "Range")
setKeyedPropertyValue("values", "Age", [1, 100])

7% 54. variablefilenode 7°T1/NT 4 — :

variablefilenode 7'TI/NF t — F— FANT £ — DR
skip_header Hfe AL O— ROSEH TR 2 TR EEE
bij_o
num_fields_auto a4 HLI—ROT7 4 =)V RO ZEHBHITHRE L
£9, LO—RiE ®ITXFTERDLLEND
DETJ,
num_fields Bl #ZLIA—ROT7 4=V ROEETFETHEEL X
ED
delimit_space 770 Ty ANDT 4 =)V BRI LF2EE L £
ER
delimit_tab 727
delimit_new_line 777
delimit_non_printing a4
delimit_comma 757 oG, A2RIEFA NI —LNTT 4 —IVR
DRG0 LFEMRYIDELFOW A TH 7=
®. delimit_other & true \ZFE L. other
TanT4—ZFERL. 3T ERYDREETE
LTHRELET,
delimit_other 757 other 7O/NT 4 —ZMHHL T, HAY LKY)
DilHEI—Y—IEETEET,
other ICFS delimit_other A% frue WEEINTNDH EE
RSN ARy S ZRELET.
decimal_symbol Default T—% ) — XA THEDON TN D/ S &1
Comma ELET,
Period
multi_blank 757 BROWET 275 K0 FE 1 DO
KU XFELTHNET,
read_field names 770 T—5 « Ty AINHDOEHDITEFHD T N)L &
LTHROHFENET,
strip_spaces None A 2R — NFITSCFESN D RIE D AR — 2 2 B3
Left LET,
Right
Both
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# 54. variablefilenode 7'/NT 1 — (FE )

variablefilenode TIN5 1 — Ty TanF 1 —OFHW
invalid_char mode Discard T—F ANMSRIERLTE (X, 0. £
Replace BIEOIT > O— FHRITEEL TWRWXT) &
FT—F AN SHIBRT %M (Discard). fEE SN
72 1| XFORFTAERNFZBEMAET
(Replace).
invalid_char_replacement e
break_case_by_newline 770 TR XFRBITL T THH I EZEEL R
ED
Tines_to_scan Al HELET =Y MEAF v 2T 5T REIREL
ES
auto_recognize datetime 770 ANT—% OHMN 7213 % % IR E S
LMEIMERELET,
quotes_1 Discard A 2 AR— F TOH 5RO %% HE L
PairAndDiscard ESC N
IncludeAsText
quotes_2 Discard A 2R — b TOELI AT OB A EEIRE L
PairAndDiscard S
IncludeAsText
full_filename L HAIABT 7 AINDT 4 LT N —EEZ0TEE
AL LIS
use_custom_values 770
custom_storage Unknown
String
Integer
RH
Time
Date
Timestamp
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# 54. variablefilenode 7'/NT 1 — (FEZ)

variablefilenode 7T/\F ¢ —

F—H

Tans 1« —oHW

custom_date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM.YYYY"
"MM.DD. YY"
"MM.DD. YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

AAE I (A=Y —FE) AL —I0EES
N&LGEOHMHINET,

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

HAL N (A=Y —FE) AL —IUDHRES
NBHGEOHEHINET,

custom_decimal_symbol

71 —IR

HAAE I (A=Y —FKE) AL —I0EES
N2LGEOHMHINET,
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# 54. variablefilenode 7'/NT 1 — (FE )

variablefilenode 7 O/NF ¢ — F—F TN+ —DBH

encode StreamDefault FFEA MO O—-REFEREELET,
SystemDefault
"UTF-8"

xmlimportnode Z0O/XF 1 —

JR)—=D 1 DOT7 7y AIVELIFIRTOT 7y I)VeAf > KR—FTEET, 72 3>T,

XML AN/ —RZ@HLT, XML BROTFT—FE2 AR =LA > R—FTEET, T4 L

XML BE&EZHRAPADAF— J7 IV EIEETEET,

il

node = stream.create("xmlimport", "My node")

node.setPropertyValue("full_filename", "c:/import/ebooks.
node.setPropertyValue("records", "/author/name")

72 55. xmlimportnode 7 /NT A — :

xml")

xmlimportnode TN F ¢ —

F— 5

ARVAL PR E1ij]

read

single
Ta4LO Y

HBMoTFT—% - 774 ) E5mHmAE (T 7))
N 2™ T4 L7 P —RNOTRTHO XML 7
7 AN E G AHIAARET,

recurse

777

BELEFALY N —DFTRTOHTF 4 L
7 RU—M5 XML 7 7 1)L ZBINTHRAAD
MESMEIEL £T,

full_filename

X4

(W) A >R —1d D XML 7 71 ILD5EEIN
ABEXNT 71 )V% (read = single DEFE).

directory_name

75

() XML 77 A I)VEAL > R—FT5F 4 L
7 R —DREENABI R (read =
directory OLE),

full_schema_filename

X4

XML i 27 AHA T XSD 7 7 A IV EZIT

DID 7 7 A IVDREENABIART v 1 )£,

ZONTA=F—ZfFHTHE, HhEzd XML
AN T 7 AINIPEFRAABET,

records

X575

LO—ROEREEFKT D XPath K (H :
/author/name)e A J] 7 7 1 VT Z DEFENHI
THTEIT, LWl a—RAMMERENET,

mode

read
specify

TRTCDOT—F ZmHARD (T 74V ) D
AR DIEAZEEL LT,

fields

A >R—F92HEH FEREEE OU XK,
UZAMNDET A T Ld XPath 2TT,
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dataviewimport 70O/XF 1 —

F—% Ea— /—RT. 7—% Ea—DF—#%% IBM SPSS Modeler |12 >R— kL E
@ -
N
il
stream = modeler.script.stream()

dvnode = stream.createAt("dataviewimport", "Data View", 96, 96)
dvnode.setPropertyValue("analytic_data_source",
["","/folder/adv", "LATEST"])
dvnode.setPropertyValue("table _name", ["","com.ibm.spss.Table"])
dvnode.setPropertyValue("data_access _plan",
["","DataAccessPlan"])
dvnode.setPropertyValue("optional_attributes",
[["","NewDerivedAttribute"]])
dvnode.setPropertyValue("include xm1", True)
dvnode.setPropertyValue("include xml field", "xml _data")

7% 56. dataviewimport 7/NT 1 —

dataviewimport JTIXF 1 —

F—HH

A=AV AR Ok L]

analytic_data_source

X4

IBM SPSS Collaboration and Deployment
Services IZRE INLNHIT—% Ea— F7
Tl b, RAKE, HHTEZN=3 2ON
—2ar XN,

["Object ID","Full path", "Version"]

table_name

ST —% Ea—THEHINET—% Ea—
T—T e T—TINHIE. Ny Tr— TEAE
NTWDLRBENRH D XTI, IBM SPSS
Collaboration and Deployment Services
Deployment Manager 27 717 > b7/ %5 BOM
2T AR—KIL, TV AR—bEIN/ zip 7
—4 TN default.bom 7 7 1L ZFHND
ZEIREL T Ny F—Y2RETEET, N
v —413. BOM WY IBM Operational
Decision Management (iLOG) M5 > R— K &
NEHZEZERE, BIZRA U TRINIERD 8
Moo

["Object ID", "Name"]

data_access_plan

IT—4 Ea—IltT5—% 2R3 57701
RNz T—4% 77t AFH,
["Object ID", "Name"]

optional_attributes

HAADIER S N @IED ) A b
[["ID1","Namel"], ["ID2", "Name2"]]
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# 56. dataviewimport 7O/NT 4 — (FE )

dataviewimport JTNF 1 —

F—Hm

TaNRT 1 —DFW

include_xml

boolean

XOM 1 2 AY A T—=H%&ffD7 4=V R %
FHAIADYL A True. IBM Analytical Decision
Management @ iLOG / — RMERA I N2
ZRE, HRINDRET false T, TN

AT BHE, ZEOBIMWRIENTEET
HTEMBVET,

include_xml_field

include_xml 7% true IZERE S N7ZHEITENN
9574 =)V RD4H,
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£ 10E Va—FRE/—FO7ANT 1 —

appendnode 7O/XF 1 —

—\ La— KM/ — KT, La— Koty MElfELET, La— GBI/ — KiZ. #issec
P> WEBBF— I RRAEDT—F -y NERBAEDEAIRLE T,

il

node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match_case", True)
node.setPropertyValue("include_fields_from", "A11")
node.setPropertyValue("create tag field", True)
node.setPropertyValue("tag_field name", "Append Flag")

72 57. appendnode 7'T/NT 1 — :

appendnode TN F ¢ — F—4 1 ZFaNT 4 — D]
match_by Position AL e T—=H «)—=ZHFDT 4 —)L KON
Name (Position) . E/ZWEANT—F Ly bhDT 4 =)
R4 (Name) ZHAEICL T, T—% 1w h&2BEMN
TEE9,
match_case a4 T4 =)V RAZEET 2 EEITKLFENLFD
XAl zBRLET,
include_fields_from Main
A1l
create_tag field a4
tag_field_name XA

aggregatenode ZO/\F 1 —

o, LaO—RESH/ —FT, —#HOAN L I—-RZ2EOESF S NH L O—-RITEESHAET.

1

node = stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node.setPropertyValue("contiguous", True)
node.setPropertyValue("keys", ["Drug"])
node.setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
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node.setPropertyValue("inc_record count", True)
node.setPropertyValue("count_field", "index")
node.setPropertyValue("extension", "Aggregated ")
node.setPropertyValue("add as", "Prefix")

# 58. aggregatenode 7'1/NT 1 — :

aggregatenode /N F o — F—y TanT 1« —OHY

keys Uk EEHIF—E L THERATES 7 s — IV RIN-ER
IREINET, HIAIE. F—+ 74—V R Sex

& Region D¥H, —HA M & F O, BIOH
BN &S OFENETNOMAGHEITH L THES
L= RIMMEREINET @ DO—BllAED
),

contiguous 757 FCF—lEFFDOTRTOL I— RINATITT IV
—JfENTWBEHE BAE. ANNRF—- 7
4=V RIZY—hSNBEE). ZOF T a%
BINLET, oA T a z2BRT5E, N
F—< AMmAELET,

aggregates EEHTDHEME T+ —IV R, BIOERIN TV S
EEHE— RERRT BHELTO/NT 1 —,
aggregate_exprs REZ7 4 —IVROARTZE, D7 4 =)V REFE

THDIHH TN E N EHKITF T HF
— JBNRT 4 — BUTFICHZRLET,

aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX", "MAX('Na')")

extension NFH FEEF T 0 =) RIS S & 2 REsaRE £ 72 138
EBiEEELET (Foplz2R).

add_as Suffix
Prefix
inc_record_count 777 BHEETL O— REERT 52DICEF S NZAT
La— REEIRET 58M7 + — )V REERL £
@_0
count_field X La—REKT7 s — IV ROARIZIEELET,
allow_approximation Boolean Analytic Server TDHEETOFEITRFHTINEFHET DT
PlEFFeILET,
bin_count B ELCTHEATRE S BEETELET.
balancenode ZO/XF 1 —
NTA+ )J—RT, =% 2y bEELELZHICED LD, T—% - &y oA
@ ZEBIELET, NTAXT, HELELRICE > TRENE (rue) DHFEICT. LI— ROk
REFELET,

il

node = stream.create("balance", "My node")
node.setPropertyValue("training _data only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])
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2% 59. balancenode 7'O/NT 4 — :

balancenode JTI/NF 1 — T—5M Fany + —o0OHM

directives fREINEBEICEDVWTT =L RIEDEIG Z
Y I 2720 O/ T T T + — CROFIZE
ZHLTZI W),

training_data_only 757 FRT I DBBNT P AMEINDEIO\EL X

T, T=HRERPT 4=V RBA M) — LR THRE
INTVARWES, ZOoF 7T a  idERINE
S

D) —ROTaNT 4 —iEXROEXZHHL ET,
([ £, XF5 1 ¥ [ 2fl, XFFN ¥ ... [FfE XF5 )

Tk X5 e ICHOADSES (CEIA/FEZEH), TORBICIAT—TXXF " ¥ " 2T T 504N
HOET, " ¥ " TR, TG TTOHOERT. INZMHEALT, 5IEZRCPIT<HATRLRT DI &

MTEXT,

derive_stbnode Z7O/\F 1 —

y AR—ZMEWA Y 2 A - = Kid, M, B BEGIA L - A5 S TDET 4 —)b Ky
& 5y ANR—AMELA Y 7 AEIRESEET, BEOEHOAX—AWEA Y 7 22N T TS
- RELTHITHIEHTEET,

1

node = modeler.script.stream().createAt("derive stb", "My node", 96, 96)

# Mf@<«oLa—k] £E— RDIZE

node.setPropertyValue("mode", "IndividualRecords")
node.setPropertyValue("latitude_field", "Latitude")
node.setPropertyValue("longitude field", "Longitude")
node.setPropertyValue("timestamp_field", "OccurredAt")

node.setPropertyValue("densities", ["STB_GH7 1HOUR", "STB GH7 30OMINS"])

node.setPropertyValue("add extension_as", "Prefix")
node.setPropertyValue("name_extension", "stb_")

# INOT7D ] E— BDHZE
node.setPropertyValue("mode",

"Hangouts")

node.setPropertyValue("hangout density", "STB GH7 30OMINS")
node.setPropertyValue("id_field", "Event")
node.setPropertyValue("qualifying duration", "30MINUTES")
node.setPropertyValue("min_events", 4)

node.setPropertyValue("qualifying pct", 65)

F60. ANR—Z ZAL Ky I X /—ROTO/NT 4 —

derive_stbnode JT/)XF ¢ —

F—

Tung 1 — O

mode IndividualRecords
Hangouts

Tatitude field 74 —I)VF

Tongitude_field 71 —J)VER
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#£60. AXN—X AL Ry I X /—ROTONT ¢ — (&)

derive_stbnode 7'TI/NF ¢ — F— TUNT ¢ —DFW
timestamp_field 74—V F
hangout_density =E 2 FREEMEICDONWTIE,
ldensities] Z2ZML T ZI W,
densities [density,density,..., density] 7 density Id. STB_GH8 1DAY 72 EDFHITY,
E: ED density WEHITHBMNITDOWTIL, il
HIMdH D ET ., geohash DB, GHL M5 GHI5
DEZFHTEET., ZOHDTIE. LLFDEZ
fFHTEET
EVER
1YEAR
1IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field T4 =LK
qualifying_duration 1DAY XFHTRTNIER D £/ A
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events B BNDOENEEEMEL 2 TT,
qualifying pct B 1 225 100 OHEPHTRITIUIR 0 T8 A,
add_extension_as Prefix
Suffix
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#£60. AXN—ZX AL Ry I X /—ROTONT ¢ — (&)

derive_stbnode JTI/NF ¢ — F—ym Tans 1+ —0HM
name_extension X
distinctnode 70O/\F 1 —
HELIO—R- /—FT, BRELO-RZHIRLET, 208G, RfO0EHITSHL I— Rz
F—% « AMU—LIZETH, £2E. BRYOLI—-REWZEL T, TOROEEL I—- K%
T—% +« AN —AIZELET,

1

node = stream.create("distinct", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("fields", ["Age" "Sex"])
node.setPropertyValue("keys pre sorted", True)

#61. distinctnode 70O/NT ¢ — :

distinctnode FT/XF ¢ — F— ZTaNT ¢ — D]
mode Include FT—% « AN —AIZRYIOEEL I—RZ2ED
Discard D), BRAOEHEL I—-RE2HEL T, DI
TRTOEEL I—RET—4 « A MU —AITE
FTENTEET,
grouping_fields U Ld—RNE—TH2NEDNEHWT 27201

Fbnd 74—V REERLET,
FEF: 20T T/857 4 —1id. IBM SPSS Modeler 16

DBETIRBEIESNTVWET,
composite_value HiEL Aoy b TORZESRLTIZEI N,
composite values HEL ATy b ToOHIZZRLTES N,

inc_record_count

727

BHEFL O— R2ERT 2 -0OICEFINIZAN
LO—REZRET2EMT « —IVREEKRL F
£

count_field

X7

LO—REET -V ROARTZIRELXT.

sort_keys b ATy K, F: 2O 70/8F7 1 —Id, IBM SPSS Modeler 16
DIETEREEEN TN,

default_ascending 770

Tow_distinct_key_count 720 F— - T4 RIZDBNL O— RERIZDRN
—BOEE/FOXIRELET,

keys_pre_sorted 757 FCF—EZFHEDITXTOLI— RNANT—HE
V=TI s L5HEELET,

disable_sql_generation a4

composite value 7 I/X7 4 — D

composite_value 7 /87 ¢ —iF, AFO—ERIT/R>TWET,
node.setKeyedPropertyValue("composite_value", FIELD, FILLOPTION)
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FILLOPTION & [ FillType, Optionl, Option2, ...] EWHERIT/HR>TWET,

1)

node.setKeyedPropertyValue("composite value", "Age", ["First"])
node.setKeyedPropertyValue("composite value", "Age", ["last"])
node.setKeyedPropertyValue("composite value", "Age", ["Total"])
node.setKeyedPropertyValue("composite value", "Age", ["Average"])
node.setKeyedPropertyValue("composite_value", "Age", ["Min"])
node.setKeyedPropertyValue("composite_value", "Age", ["Max"])
node.setKeyedPropertyValue("composite_value", "Date", ["Earliest"])
node.setKeyedPropertyValue("composite_value", "Date", ["Latest"])
node.setKeyedPropertyValue("composite value", "Code", ["FirstAlpha"])
node.setKeyedPropertyValue("composite_value", "Code", ["LastAlpha"])

HAZ L F T arTlE, EEROSIBENPBLETHD, TNSIEFUANELTEMEINET, A T
DLV ET,
node.setKeyedPropertyValue("composite value", "Name", ["MostFrequent", "FirstRecord"])

node.setKeyedPropertyValue("composite_value", "Date", ["LeastFrequent", "LastRecord"])
node.setKeyedPropertyValue("composite_value", "Pending", ["IncludesValue", "T", "F"])

node.setKeyedPropertyValue("composite_value", "Marital", ["FirstMatch", "Married", "Divorced", "Separated"])

node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate"])
node.setKeyedPropertyValue("composite value", "Code", ["Concatenate", "Space"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Comma"])
node.setKeyedPropertyValue("composite value", "Code", ["Concatenate", "UnderScore"])

composite values 7 H/NF ¢ —DH

composite values 7H/87 ¢ —li, PAFO—BERIT/>TWET,

node.setPropertyValue("composite values", [
[FIELD1, [FILLOPTION1]],
[FIELD2, [FILLOPTIONZ2]],

1)
11

node.setPropertyValue("composite values", [
["Age" s [nF.i Y‘St"]] R
["Name", ["MostFrequent", "First"]],
["Pending", ["IncludesValue", "T"]],
["Marital", ["FirstMatch", "Married", "Divorced", "Separated"]],
["Code", ["Concatenate", "Comma"]]

1)

mergenode ZO/NT 4 —

F—\ La—R#EG/ — M3, BROANLVI-RZREL. A7 44— FOoEifEkid—8z2E
> 1 OOHALI—REERLET. ZOHEIL NEEET—5 EBAANOT—Y DL
— 72, RBIRDY—AMBDT—F EREATHHAITRIEET,

il

node = stream.create("merge", "My node")

# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)

stream.link(salesdata, node)

node.setPropertyValue("method", "Keys")
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node.setPropertyValue("key fields", ["id"])
node.setPropertyValue("common_keys", True)
node.setPropertyValue("join", "PartialOuter")
node.setKeyedPropertyValue("outer_join_tag", "2", True)
node.setKeyedPropertyValue("outer join_tag", "4", True)
node.setPropertyValue("single_Targe input", True)
node.setPropertyValue("single_large input tag", "2")
node.setPropertyValue("use_existing_sort_keys", True)

node.setPropertyValue("existi ng_sort_keyg" , [["id", "Ascending"]])

# 62. mergenode 7/NT 4 — :

mergenode 7T/NF ¢ — F—A R TOaNnF ¢ —DHH
method Order T—% Ty TOYAMEZL I—REHE
Keys TEZNEIMN 1 DUEDF— T4 =)L REM
Condition ALTHF— 74—V RNOFUCEICILI— Rz
Rankedcondition EWETHZNES M, BESINLMEEWZTHE
WL O—REWHGTIZNES N 1 KT—Ftv
FETRTD 2 RTF—F 1y NADEITORY
EREETEMEIDNERELET., WINOHE
B, TIOMFXEFHLT, 727 DN —3
NS T 2T DENW—EDNEIZT RTO—FNY —
rENET,
condition T method A% Condition IZFXEINTWBEE., L
I—REFDDHELIIWETHLREE2HEL £
E
key fields Xk
common_keys 727
join Inner
FullOuter
PartialQuter
Anti
outer_join_tag.n 720 ZO7ONT4—Tld n 13 57—ty hDE
R 1707 - Ry 7 ATERIND Y THT
T, EDEIBT—F Ly MITH> THARESR
L a— REERT 2 RN H 5D T, HED
YT HERETEET,
single_large_input 757 INDAT E AT R Z B AN ZIEE L
WLETONEINEEELET,
single_large input_tag X =2 F—%ty FORR] ¥4 707 R
W A ERINDY THERELET, 20
ONF 4 —Of®IE, 1 DOAHNT—F vy hL
MEETERNENS FT, outer_join_tag
ONT A —EIFETRREDZEICERLTEZES
W (T RINT T EXLFHENIENDDH
D).
use_existing sort_keys a4 AN TIZF— - T4 =V RTY— FEHNE
SMMEHELET,
existing_sort_keys ['XFF, 'Ascending'] ¥ ['X | T TV —hSNE=T 4 =)V REY— NAAZER
FH" 'Descending']] ELET,
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# 62. mergenode T/NT 4 — (FEZ)

mergenode 7 E/NF 1 — F—& 1 TaNnNT ¢ —OFHMW

primary dataset XFH method 7% Rankedcondition DAL, HEAHND
| RF—=Fty Fe@RUET., Zid. SHEHS
BOEMEZERAD ZEMTEEXT

add_tag_duplicate Boolean method 7% Rankedcondition DIFHIZT DT TN
TA—%& Y ITREL, BixdT—F V—AN5
s SN/ CARTZ R DERDO T 1+ — )b RH%E
ROMET =5ty MITEENTWDHE, Th
5DT =58 J—=ADHEL TINT 4 =)V RDFIA
LU DEHITENINET.

merge_condition pe|

ranking_expression e

Num_matches B2H merge_condition & ranking_expression {ZHD

WTIRENS—H O m/MEld 1. s E

100 T9,

rfmaggregatenode Z7O/XF 1 —

WEDORT Y ar - F—8 T,

ARERDOT—5 ZHIFR, KOOI 2HF g -

J—t>, ZU2IT>, IFxFU— RFEM) O L d— R&EFH/ —RE2flifds &, BEHED
T—

T EITRTHATIHET LI ENTEET, KD, BEDO TP U 2 a >k
., FIY I aii NSO T YT aoaReEN-ERRINET.

il

node = stream.create("rfmaggregate", "My node")
node.setPropertyValue("relative to", "Fixed")
node.setPropertyValue("reference_date", "2007-10-12")
node.setPropertyValue("id_field", "CardID")
node.setPropertyValue("date field", "Date")
node.setPropertyValue("value field", "Amount")
node.setPropertyValue("only recent transactions", True)

node.setPropertyValue("transaction_date_after", "2000-10-01")

7 63. rfimaggregatenode 71/NT A — :

rfmaggregatenode FUO/NF ¢ — |SF—4H FTONT ¢ — DB
relative_to Fixed Mo BT a0l —t  INEHEINS M
Today #RELET,

reference_date date Fixed 7% relative_to ICRREINTWVBHEIT
DHERTEET,

contiguous 750 T—% « AN —=AHFTRHU ID Z2FDTRTD
LaO—RPR—HEICERRENDEOICT &Y —
FLTWRH/E, ZOF T a r&ERT S EA
HEmEtd s ZENTEET,

id_field 74— K BEBIONT BT a >z 52016

MT2T7 4=V REEELXT,
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7 63. rfmaggregatenode 7T/NT 1 — (Fi &) :

rfmaggregatenode 7ONF ¢ — |F—FM TaNT ¢ — D
date_field 74— R U=t it BT 520N HMNT 1«
—V RZERL £,
value_field 71 —J)VR YY) —lEEITRE T 5DIEHT ST ¢ — )L
REfRELET,
extension XA BEEG T —)V RIS S B 2 B8 R /2138
RBEEHRELXT,
add_as Suffix extension ZfEREREE L TGEBINT 20, Fizid
Prefix SHEEE LRI 50 EHEEL £,
discard_low_value_records 770 discard_records_below #2E DA ZB ML £
KR
discard_records_below Hfe RFM O HEIEFITE T GG INLN NS
U a OFMOBRMEZIEET B2 I ENT
EET, EOHMIL, BRENZ Tvaluel 7+
—)VRICBIE L £9,
only recent_transactions 757 specify_transaction_date 7zl
transaction_within_last sEDMHHZEEINL
i\ﬁ_o
specify_transaction_date a4
transaction_date_after date specify_transaction_date ZNERTNTNSDE
BILOBHMHTEET, T NoICEENL
BONT Y a oA ERELET,
transaction within_last el transaction_within_last Z2NERSINTNSHEHE
COAMEATEET, LaO—RBgicEEns
BO T)—t> MR OHMNNS SHDIE-S
M OKB L OHEE (B, ., HR3ER
EHRELET,
transaction_scale Days transaction_within_last MWERINTWBEHE
Weeks WCOARMEATEET, La—ROBSICEEND
Months ‘"o T)—t > MR OHMNSEHDIES
Years OB LOHE (B, H, HXZ3FEH
ZHRELET.
save_r2 a4 BEEED 2 ZHHICBRED NS > B2 a >OH
MEFRLUET,
save r3 a4 save r2 MR SN TVDBEICOMEATEE

9, BEED 3 BHICKRLO ST Y3
DHAMZEERLET,

Rprocessnode 7O/XF 1 —

®

R 24t / — R TlZ. IBM(r) SPSS(r) Modeler A s —A7»
557 —FEREL. TOT—FEMEHDHAY L R AT
D7 NeffHLTAETEEY, T—YEFHEK, 7T
A RY—=AITRENET,
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il

node = stream.create("rprocess", "My node")

node.setPropertyValue("custom _name", "my node")

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")
next_day<-day + 1

modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert_datetime", "POSIXct")

7% 64. Rprocessnode 7T/NT o — :

Rprocessnode JTIIXTF 1 — F— & FANF £ —DEM
B pe
convert_flags StringsAndDoubles
LogicalValues
convert_datetime a4
convert_datetime_class POSIXct
POSIX1t
convert_missing 757
use_batch_size 770 Ny FAHE 2 ATREIC L KT
batch size B ENYFILEHDHT—F LI—ROKEREL
£9
samplenode 7O/XT 1 —
f*\ P2 J—=RTIE, LI—RoY Tty EBERULET, B>, 7525 — -4
(;;? ST R W) YTV, SRITHLY P TIVOMBNTR—FENTHE

I, BT TE NTx =< ADNMLE, BEXOSHOZOOEET S I—REZIZH
SIY 7T a D) —TOBERITHITIEET,

1

/* Create two Sample nodes to extract
different samples from the same data */

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Simple")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("sample_type", "First")
node.setPropertyValue("first_n", 500)

node = stream.create("sample", "My node")

node.setPropertyValue("method", "Complex")

node.setPropertyValue("stratify by", ["Sex", "Cholesterol"])

node.setPropertyValue("sample_units", "Proportions")

node.setPropertyValue("sample_size proportions", "Custom")

node.setPropertyValue("sizes proportions", [["M", "High", "Default"], ["M", "Normal", "Default"],
["F", "High", 0.3], ["F", "Normal", 0.3]])
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#65. samplenode 7'/NT 1 — :

samplenode 7E/NF ¢ — F—& 1 TONT 4 —DHH
method Simple
Complex
mode Include e SN E2HZTLa— REZD D)
Discard (Include). f3E (Discard) L £,
sample_type First BT T hEEREELET,
OneInN
RandomPct
first_n B HESNIZAERETOL I— REED HINEE
LE9.
one_in_n e n HFEHZT LKL O—RZ2E0 50 HEL£T.
rand_pct ot EOHMEETHL I—-RONN—1 > T—T %R
ELET,
use_max_size 757 maximum_size FEDMEHEHNTL £T
maximum_size B T—% - AN —ARAND EZT—F - Xk
U—LNSWET D9 > TNVORREEREL £
T ZOFATa BIUETHD., 2D,
First & Include DMREESINTND & ZITMEZE
ENET,
set_random_seed 750 T L = REBEEOHHERNLET,
random_seed B FUH L= RELUTHAT 2HEZEEL £
ER
complex_sample_type Random
Systematic
sample_units Proportions
Counts
sample_size_proportions Fixed
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions e
fixed_counts B
variable_proportions 74 —IVR
variable_counts 71 —=J)VKR
use_min_stratum_size a4
minimum_stratum size B ZDF 7> a2 d. Sample units=Proportions
&> THEMRY > TIVIMER S NI HEITDH
HHINET,
use_max_stratum_size 770
maximum_stratum_size B ZDF 7 a2 d. Sample units=Proportions
IZ &> THEMSY > TIVIMER S N B EIT DA
HWHINET,
clusters 74 —IVKR
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# 65. samplenode 7T/NT 4 — (§Z):

samplenode 70/NF 1 — F—& 1 TOaNF 4 — OB
stratify_by [fieldl ... fieldN]

specify_input_weight 757

input_weight 74—V F

new_output_weight pezl

sizes_proportions

[[string string valuel[string

string value]...]

sample_units=proportions HBX

sample_size proportions=Custom D&, @b
T4 =V ROEDE Z5NBHMAGHOEDEEE
ELET,

default_proportion

Al

sizes_counts

[[string string value][string

string valuel]...]

[T« =V ROEDEZ 5N 2B EDEOM
EIRELET. AL sizes_proportions
ELITVWETA, EETIIR<EHEEEL £
ER

default_count

Al

selectnode 7O/\F 1 —

S ) — R T, HEDORMICHEDINWT, 77— - AN =25 L I—ROY TRy b
@ BIRUZOBEELZD TEERT. BRI REOEEMIBICEE T2 L 0— R2ZIRTE X
kR

il

node = stream.create("select", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

£ 66. selectnode 7'C1/NT 4 —:

selectnode 70N 1 — F— TaNT 1 —DHY]

mode Include BRLELIO—-REEDLMN. ERIEIHET I
Discard ZHRELET,

condition ICFS Lad—RE2EDHDMN. EIEHELOSLM,

sorthnode Z7OA/NF 1 —

V—hLZET,

@ V—h -« /—=FT, | DELIFEROT 4 =)V FMEICEDWT, LI— RZFIEEITREIEC

il
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node = stream.create("sort", "My node")
node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing_keys", True)

node.setPropertyValue("existing keys", [["Age", "Ascending"]])

£ 67. sortnode 7O/NT ¢ —

sortnode FTNT 4 — F— 5 FONT 1 —DRM

keys list V—bOHEELRD T 4 =)V RERELET, V
— hOHMPRE SN TWERWEE, T 74k
MHEHINET,

default_ascending a4 TIAN DY —NEZEELET,

use_existing keys a4 ANMZEAINZT7 4=V ROV — MNEZEHL T

V— b ERELTHENEINEREL X,

existing_keys

TV — b7 —IVREY — NARZR
TLET, keys 70O0/NFT 4 —ERCHEXZMHH
LET,

streamingts Z7O/N\T 1 —

AR —=227 TS /—RiZ. 1 DORAT v T THRRIETINEERLTAAT ) > T LE
€0 9. BEHIMIRG  — R30S 0 £t A,

il

node = stream.create("streamingts", "My node")
node.setPropertyValue("deployment_force_rebuild", True)
node.setPropertyValue("deployment rebuild_mode", "Count")
node.setPropertyValue("deployment_rebuild_count", 3)
node.setPropertyValue("deployment rebuild pct", 11)
node.setPropertyValue("deployment rebuild_field", "Year")

# 68. streamingts 7 /NT o — :

streamingts 70N ¢ —

L4

TuNnT 4 —OHY

custom_fields

F—
757

custom_fields=false DOHFHIL. LHROF—%
B — ROBENERENET,
custom _fields=true DFHIL. targets &

inputs ZRETHHLENH D ET,

targets (74— R 1.74—J)VF
N]

inputs [Z4—)VF 1.7 14—V R
N]

method ExpertModeler
Exsmooth
Arima

calculate_conf a4

conf_limit_pct real
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# 68. streamingts 7 O/NT 4 — (FEZ) :

streamingts 7OXT 1 — F— TOUNT £ — DB
use_time_intervals_node 720 use_time_intervals_node=true DHFEIT. LI
DR/ — RORENEH ENET,
use_time_intervals_node=false DAL,
interval_offset_position. interval_offset,
BEU interval_type ZIRETHHENDH D £
kR
interval offset_position LastObservation LastObservation I&. [ DA R BLHHE ]
LastRecord L ET. LastRecord I&. MpEOLI—K
NoMOBGE] 2RL KT,
interval _offset Kefe
interval_type Periods
Years
Quarters
Months
WeeksNonPeriodic
DaysNonPeriodic
HoursNonPeriodic
MinutesNonPeriodic
SecondsNonPeriodic
events N
expert_modeler_method Al1Models
Exsmooth
Arima
consider_seasonal 770
detect_outliers 750
expert_outlier_additive 770
expert_outlier level shift 727
expert_outlier_innovational 770
expert_outlier transient 770
expert_outlier_seasonal_additive | 7772
expert_outlier local trend 777
expert_outlier_additive_patch 770
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type zL
SquareRoot
Naturallog
arima_p B K RFIETIIAER / — ROBE EE L 7 0/8F
S4—
arima_d B K RFNETIAER / — ROGEERLT 7 0/8 5
/( —
arima_g K BERANETIIAER /) — ROBFE ER L 7 /8T

/(__.
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# 68. streamingts TO/NT 4 — () :

streamingts 7N T 1 — F—& 1 TOaNnT ¢ —DH
arima_sp Eis4 BRIIETIAERR ) — ROBFE ER L 7 0)85
S
arima_sd B KeRFNIETIIAER / — ROBE LR L 7 0/8 5
S
arima_sq B K RFNETIIAER / — ROYGE ERLC 7 0/8 T
S
arima_transformation_type None RERFIET AR/ — ROGE LR L 7087
SquareRoot 4 —
Naturallog
arima_include_constant 777 K RFNETIIAER / — ROGE SR L 7 0/8 5
S
tf_arima_p.fieldname s KRIIETIAERR / — ROGFE ER L 7 0)/)85
A —o FRIRBIKH,
tf_arima_d.fieldname = BRANETIIAER / — ROBE ER L 7 /85
A4 —o BRBIRUH,
tf_arima_q.fieldname Eisq BRIETIAERR / — ROBFE ER L 7 0)/)85
A —o FRIRBIKH.
tf_arima_sp.fieldname B KeRFNETIIAER / — ROBE LR L 7 0/8 5
A —o BRBIRH,
tf_arima_sd.fieldname 2224 K RFNETIIAER / — ROYGE ERLC 7 0/8 5
4 —. HRIRBEEOH.
tf_arima_sq.fieldname B RERFIET AR/ — ROGE LR L 7087
A —o BRIRBIKH,
tf_arima_delay.fieldname B K RFNETIIAER / — ROGEERLC 7 0/8 T
A4 —o HRIRBIRUH,
tf_arima_transformation_type. None
fieldname SquareRoot
Naturallog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive 770
arima_outlier Tevel shift a4
arima_outlier_innovational 770
arima_outlier_transient 770

arima_outlier_seasonal_additive a4

arima_outlier_local_trend 770
arima_outlier_additive patch a4
deployment_force_rebuild 770
deployment_rebuild_mode Count
Percent
deployment_rebuild count oAl
deployment_rebuild pct Kete
deployment_rebuild_field <Z4—=IF>
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£ 11 E 74— FRE/—FDTANRT1—

anonymizenode ZH/\T 1 —

3. o — ﬁ ﬁ@g%%%@@®%ﬁ%ﬁ%ﬁ£@igﬁﬁ%ﬁmLT%?N%%%T%
HEIICTHEEICAERTTY,

<t:\ Ea/ —RiE. T4 =)V REPEOTROZRFEZZEMRL ., TOT—F 2R LET. In

il

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")
node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)
node.setKeyedPropertyValue("enable anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set_random_seed", "Age", True)
node.setKeyedPropertyValue("random seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", True)
node.setKeyedPropertyValue("use prefix", "Drug", True)
node.setKeyedPropertyValue("prefix", "Drug", "myprefix")

% 69. anonymizenode 7'/NT 4 —
anonymizenode 7TI)XF ¢ — F— TONT 1 — DR

enable_anonymize 770 IN%E True WHRETHE. 74—V NMEDEKLNT VT4
TIBOET (2074 —I)VLROD TEAE] 51T NEn) 22
RUZEGES, RUERICRD ED).

use_prefix a4 IN%E True ICHRET D E. -V —IEEOEEFENFEHIN
T (AT AREOREFHNEESNTVDHE). Ny
2 AV RIZE->TEALENS 7 — )V RITEASN, £
DT 4—IVRO MEZBWR 47070 T2—Y—FE) 7
X R EBRTBHIEEFEFETT,

prefix ezl MEZ@ER] Y1707 Ry ZADTF AL - R 7 ATH
SHE AR AN T D ZEERA%ETY . T 740 b OFHEET. [MH
IR E SN THWRWERIE, T 74V METY,

transformation Random Transform A v RIZXDEHILINEZT ¢+ —IV ROEHINT A
Fixed —4 —NEMEX (Random) 2MEE (Fixed) N EREL XTI
set_random_seed 777 INZE True ICHERTET B &, ?aﬁéﬂt/* EAMERAEINE
9 (transformation ® Random |27 ﬁéﬂ'(hléi% )o
random_seed BH set_random_seed 7% True IZRESIN TN S Zo7 N
—3ELER D — RIZR D T,
scale Al transformation 2% Fixed ICREINTNDHE. TOMHEIZA

F=IVHELTERESNET, BRRAT—)UEIER 10 TY
N, HEINEY LT 201D TEET.
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# 69. anonymizenode 7'T/NT o — (FEE)

anonymizenode 7 O/NF 1 —

F—

TaNnNT ¢ —OFH

translate

transformation A% Fixed IZFREINTNWDHE, ZOMEIFE
WHELTHEAINET., RALSHEIZERY 1000 TTH, &
SNz B0 TEET,

autodataprepnode Z7O/NT 1 —

HEh7T— &% (ADP) / — RTId. T—% 001, BEIEMOFR]. BEOH 5 E13%ITz
(3) BWHREM D H D T 4 =V ROAZ V=227, BBEIISUZH L WEMEORA. FEMs Ay
—_— V= T BXOT T T FREEFR LN T 53— ADA LR ERTHI T ENTESE

T, BRICHIML SN HET/ —RE2#HL, /— RCHEEHZRRBLVEATEET,

2T ENTIE U TEHE OIS K UKE.

@_0

il

node = stream.create("autodataprep", "My node")

node.setPropertyValue("objective", "Balanced")

node.setPropertyValue("excluded fields", "Filter")
node.setPropertyValue("prepare_dates_and_times", True)
node.setPropertyValue("compute_time until_date", True)
node.setPropertyValue("reference date", "Today")

ERELRBEORICATEEZ L Ea—TEE

node.setPropertyValue("units_for date durations", "Automatic")

#70. autodataprepnode 7 11/NT A —

autodataprepnode 7 H/XF 1 — F—& 1 FONT 4 —DF
objective Balanced
Speed
Accuracy
Custom
custom fields 770 B (true) DHFHE, BUED / —RDY =4y
o AT, ZOMT 4 — IV RIREZRET S
EMTEET, 4 (false) DHFA. EROT
— &8 ) — RS BEORENMEAINE T,
target 74 —JVKR 1 DOMET 4+ — IV RZEHEEL LT,
inputs (fieldl ... fieldN] ETINTHEHSIND ANEZIITFHEEE T + —

N2

use_frequency 720
frequency field 74 —J)VF
use_weight 770
weight field 74 —J)VF
excluded_fields Filter

None
if _fields_do_not_match StopExecution

ClearAnalysis

prepare_dates_and_times

757

TRTOAMMEM T 4 =V RANDT 72X %
HIHEL E9,
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# 70. autodataprepnode 7T/NT 4 — ($EZ)

autodataprepnode 7 H/XF ¢ — F—5 FONT 4 —DF
compute_time_until_date 770
reference_date Today
Fixed
fixed_date H At
units_for_date_durations Automatic
Fixed
fixed_date_units Years
Months
Days
compute_time until_time 777
reference_time CurrentTime
Fixed
fixed time 5371
units_for_time_durations Automatic
Fixed
fixed_date_units Hours
Minutes
Seconds
extract_year_from_date 770
extract_month_from_date 770
extract_day_from date 70
extract_hour_from_time 770
extract_minute_from time 770
extract_second_from_time 770
exclude_low_quality inputs 70
exclude_too_many_missing 770
maximum_percentage missing Hofl
exclude_too_many_categories 770
maximum_number_categories Hofl
exclude_if_large_category 770
maximum_percentage category HfE
prepare_inputs_and_target 777
adjust_type_inputs 727
adjust_type_target 777
reorder_nominal_inputs 770
reorder_nominal_target 757
replace_outliers_inputs 770
replace_outliers_target 757
replace _missing_continuous_inputs | 7772
replace_missing_continuous_target 757
replace_missing_nominal_inputs 770

11 3 74 —)VRFEE/ —ROTO/)X5 41—
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# 70. autodataprepnode 7T/NT 4 — ($Z)

autodataprepnode 7 H/XF 1 — F—5 FONT 4 —DF
replace_missing_nominal_target 720
replace_missing_ordinal_inputs 750
replace_missing_ordinal_target 770
maximum_values_for ordinal Kofil
minimum_values_for_continuous Kl
outlier_cutoff_value Hfil
outTier_method Replace
Delete
rescale_continuous_inputs 720
rescaling_method MinMax
ZScore
min_max_minimum #fE
min_max_maximum e
z_score_final_mean Hofl
z_score_final_sd ot
rescale_continuous_target 720
target_final_mean Kol
target_final _sd HfE
transform_select_input_fields 757
maximize_association_with_target 720
p_value_for_merging piqlE]
merge_ordinal_features 720
merge_nominal_features 790
minimum_cases_in_category #fE
bin_continuous_fields 7270
p_value_for_binning Kl
perform_feature_selection 770
p_value_for_selection HfE
perform_feature_construction 750
transformed_target name_extension | X551
transformed_inputs name_extension | X551
constructed_features_root_name &
years_duration_ name_extension peZdl
months_duration_ name_extension X
days_duration_ name_extension peZdl
hours_duration_ name_extension ped
minutes_duration_ name_extension ezl
seconds_duration_ name_extension X
year_cyclical _name_extension ezl
month_cyclical_name_extension ped
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# 70. autodataprepnode 7T/NT 4 — (£ )

autodataprepnode 7 H/XF ¢ — F—5 Fans+ —oOHM
day cyclical _name_extension Y
hour_cyclical_name_extension peZll
minute_cyclical name_extension Y
second_cyclical _name_extension A

astimeintervalsnode Z’O/\F 1 —

JEDRFK 53/ — RIZIE. Analytic Server (AS) & DHMMEILH D FH A, SPSS Modeler J 1

—Z 17.0 THLSBAINZ AS BEXSr / — RITIE. Analytic Server Tl F TRE/RBETE D
IR/ — ROBEEDOY 7y MREENTVET,

bRz faE L. B LWER T « =)L B2ER L THES TRIZT 581, AS K/ —
REMHALTEIWV, BEANSERMET, IXRTORMRSNTR—-FEINET,

# 71, astimeintervalsnode 7'01/NT 4 —

astimeintervalsnode 7'TINF ¢ — >F— & FTONF 1 — D]
time_field 74—V R 1 DOHEFGE T 4 — )V ROBFAIINET, /

— R, ZOT7 40—V REEHFHF—-ELTHH
LT, MgEEHLET., TITEET -
REFHTDE, ZTDT 4 —)b RIZEER1 > F
w7 AL LTI nEd,

dimensions [fieldl field2 ... fieldn] |ZN6DT 4 —I)VRZHFHL T, &7 41—V R
DEICE DX, 4 ORFRIIDMERSNET,
fields_to_aggregate [fieldl field2 ... fieldn] | ZN5D T 4 —)b R, W7 ¢ —)L R DR

AHEUHDO—ME L THEFFENET., ZDEY
A—IZEHEENTHRENTRTDT 4 —)L B,
J— RS REEEINET NSRS E
ER

binningnode 70O/XF 1 —

o
i

T—HRE ) —RT, BED 1 DEZITEROEGER EEEHE) 7« —)V RO@EICE DN
T, HEMITHLWAER (Y M) 70—V RZERL T, FlZIE. #ERINA T« —
WVRZ, EENSDREZECIDNAZIN—T2ED, HLWHTIY— - 74 —)L RIZEHT

LHZEMTEET, FH T IV ROECZERT D E, DEISITEDWTT ¢ —Ib RIERKR /
— REBERTDENTEET,

1

node =
node.setPropertyValue("fields", ["Na"

stream.create("binning", "My node")

. "K'T)

node.setPropertyValue("method", "Rank")
node.setPropertyValue("fixed width name_extension", " binned")
node.setPropertyValue("fixed width add as", "Suffix")
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node.setPropertyValue("fixed _bin _method", "Count")
node.setPropertyValue("fixed_bin_count", 10)
node.setPropertyValue("fixed bin width", 3.5)

node.setPropertyValue("tilel0", True)

# 72. binningnode 7'O/NT 4 —

binningnode JONF ¢ —

F— %

Tansy ¢ —OHM

fields

[fieldl field2

... fieldn]

AR R OEE R BERIF) T — IV R,
BEDT7 4 =)V RZFEIFICE ICHETEE
S

method FixedWidth FH 74—V RoE>Y (I7dU—) OHEIH
EqualCount R B H ik,
Rank
SDev
Optimal
rcalculate bins Always J—RMEFIND LI, EVNFHEFES
IfNecessary N, #@YRE > ORICT—INHES DD,
F23TF - NEFEOE B X EME N
Hov icemansZonziEElL£7.,
fixed_width_name_extension ped T 7 #4)V b DILEFIE _BIN TY.
fixed_width_add_as Suffix WRETZ 7 4 =) RADRRZRITGENT 50
Prefix (Suffix). F/ZITICHEITEMT 5D (Prefix) %
WELEY. 774 bOILETIE
income_BIN TT9,
fixed_bin_method Width
Count
fixed_bin_count B W7 4 =)V ROBEFERE > i73VU—) &
ZPRETDHOITMEHT BB ZEHEEL LT,
fixed_bin_width E E2ORERENT 57201 HT 2 #EEE
72133250,
equal_count_name_ ped T 7 #4)V b QYRR TS _TILE TY.
extension
equal_count_add_as Suffix BIED 2@ L TERINS 7 4 —IV RIZ
Prefix XU THA S NDIRE T, Suffix (FEEEEE)
M Prefix (F2REFH MERELET. 774
N OPEERTIE. _TILE 12 N #3726 DIl
DET., NI TY,
tiled 727 TNETNN 25 %o DT —AEFE. 4 HHLD
B EERLET,
tiles 757 500D 5 HMrEZAERLET,
tilel0 757 10 O+ (T2 EXZARLET,
tile20 777 20 O+ > &AM L £T.
tilel00 77 100 EOEML S—k>F 1)) B ZER
LE7,
use_custom_tile 777
custom tile name extension FH T 7 4 )V b DILETFIE _TILEN T,
custom_tile_add_as Suffix
Prefix
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# 72. binningnode 7O/NT 4 — (FiZ)

binningnode 70/NF ¢ — F—& 1 Fans + —oOHM
custom tile B
equal_count_method RecordCount RecordCount DJikld. FUEDL I—Ra%
ValueSum EACEID Y TET, —A. ValueSum Tid,
HEECOEOEFHNFELCICESLSICLa—R
ZEDYTET,
tied_values_method Next AEFRBOEOT—ZICHEIND &
Current Eo
Random
rank_order Ascending ZDO7a)NT 4 —IZid. Ascending (o &b
Descending INSWED 1 &E78%) E7z1X Descending (B
S EHREWEN 1 E785) NEENET,
rank_add_as Suffix ZOFTra iy, I>U. TOUDhE B
Prefix KT DONRN—trT—JIEAINET,
rank 720
rank_name_extension pe T 7 4 )V b QIR TS _RANK TY.
rank_fractional a2/ T 40—V ROMEN. T2 &IERBr—A
DEADEFTHRELZMEICERS XD, F—
AT OMFLET, S DHERIT 0 -1
DOEIPFADMEICIRD £,
rank_fractional name_ X T 7 A4 S OIEETFIE _F_RANK TY,
extension
rank_pct e/ ‘TN, BRREEFFDOL O— RETRE
SN’ 100 fEENET. T2 DNt
T2 1 - 100 OFEFHOMEIZ/ED X7,
rank_pct_name_extension XFH T 7 A4 S DR T _P_RANK TY,
sdev_name_extension X
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension X T 7 4 ) s OEER T _OPTIMAL T79,
optimal_add_as Suffix
Prefix
optimal_supervisor field 74—V R T—IREDIZDITEIRE N7 4 —)V RN
BRIBEE T — IV RELTERIENZT =)V
R,
optimal_merge_bins 4 T AEEDVNIWE > B XD RE Y >
BT 52 E&EELET.
optimal_small_bin_threshold B
optimal_pre_bin 727 Tty FOFFHT I REEFETTLHIE
ZmRLUET,
optimal_max_bins B WEIZZHOE > 2ER LWL DIT. ER%E

HELEXT.
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# 72. binningnode 7O/NT 4 — (FE )

binningnode 7ENF ¢ — F—5 1 TaNT ¢ — D
optimal_lower_end point Inclusive
Exclusive
optimal_first_bin Unbounded
Bounded
optimal_last_bin Unbounded
Bounded

derivenode Z7OA/NF 1 —

= T4 =V RIERR  — KT, | DEFIZEROMET 4 =)L Kh S, F—FlEELHETLH, #
\:Z/ L7 =)V REERLET, INT. #17K 757, 4k AT—h AU b B
o DEIRDE T 4 — )L RAER S N E T,

il 1

# Create and configure a Flag Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("new name", "DrugX Flag")
node.setPropertyValue("result_type", "Flag")
node.setPropertyValue("flag_true", "1")
node.setPropertyValue("flag false", "0")
node.setPropertyValue("flag_expr", "'Drug' == ¥"drugX¥"")

# Create and configure a Conditional Derive field node

node = stream.create("derive", "My node")

node.setPropertyValue("result_type", "Conditional")
node.setPropertyValue("cond_if cond", "@OFFSET(¥"Age¥", 1) = ¥"Age¥"")
node.setPropertyValue("cond_then expr", "(@OFFSET(¥"Age¥", 1) = ¥"Age¥" >< Q@INDEX")
node.setPropertyValue("cond_else_expr", "¥"Age¥"")

fl 2

CDAZ YT NI, BEORA N BEEDAXRY SR ELEZENARE) © X EEE Y BiEE2ERT
XPos & YPos EWD 2 DOKIMEINNMNGH S I EZFHRELTVWET, TOAZY T ML, HEDEESR
TEDORERT X JEREEL Y JEEMNSHIRZEMANZEET 27 0 —)L RIER / — RAOMER SN E T,

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new_name", "Location")
node.setPropertyValue("formula_expr", "['XPos', 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the
# specifics of the geospatial object
node.setPropertyValue("geo_type", "Point")
node.setPropertyValue("has_coordinate_system", True)
node.setPropertyValue("coordinate system", "ETRS 1989 EPSG Arctic_zone 5-47")
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# 73. derivenode 7'/NT 1 —

derivenode 7TI/XF 1 — T TanNT 1 — O
new_name X541 FLWT 4 —)) R,
mode Single 1 DD7 4 =)V R (Single). F7=13#E
Multiple 7 40—V R (Multiple) Z$57E L £
£
field list BRT 4 =)V RZRIRT 2B/ EFITET,
Multiple &— R T,
name_extension XFH HLWT =)L RAICHAT 2R T &
fBELET.
add_as Suffix WIEFZE T 4 —)V R4 D Prefix (JEHH.
Prefix PEEARE), E/2I13 Suffix (Rfd. R
ELTEMLUET,
result_type Formula TERRATREZZFT LW T 4 —IL R D 6 DODTE
Flag ¥,
Set
State
Count
Conditional
formula_expr ped T4 =V RERR/ — RO#FH L WT ¢ —))
Rz 5579 55,
flag_expr X4
flag_true peZll
flag_false XFH
set_default A
set_value_cond pedl R DEICBIEATT S NIz feth e 2 g
DX ITHELT BT 1 —,
state_on_val el 7> (On) D&M EmZTHE D7
A=V ROMEZEEEL LT,
state_off_val X F 7 (Offy DMz =d5HEDHH 7
A=V ROEZEEEL £,
state_on_expression el
state_off_expression FH
state initial On HLOA—RTHLWT ¢ —)L ROFIHHE
of f ELT On £7id off Z2HIDYTET,
ZDMEIZ. TNENOFREMZSND
TEITAELET,
count_initial_val ped
count_inc_condition e
count_inc_expression ped
count_reset_condition el
cond_if_cond peZll
cond_then_expr pe
cond_else_expr ezl
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# 73. derivenode 7/NT 4 — (# )

derivenode T/XF ¢ —

F— 57

TuNT 4 —DHY

formula_measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

Zo7unT 4 —E[HFHALT, FRSH
727 4 =) RICBEEMN T 5N REZE
HKITDHZENTEET, setter BIEKIT
1Z. XCFEHIHD. MeasureType DED NG
NMEJET ZENTEET, getter 1.
H1Z MeasureType DfEiZEIRL £,

collection_measure

Range / MeasureType.RANGE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET
Typeless / MeasureType.TYPELESS

NET 4 —IVE RSN 0 DUAR) O
BE, co7anNTa—id, L s
BB SNTZRESY 1 T2EHRL
EJCIN

geo_type Point WIRZERA 7 « —)V ROHE, 2o 7o)
MultiPoint TA—IZ&D. ZOT 4 =)V RBETHE
LineString HEMA T O A TINEHRIN
MultilineString F9, THUL. HOU A FDHES &S
Polygon LTWARBENRHDET,
MultiPolygon
has_coordinate_system boolean MFRZEH 7 0 — )L ROBFAE, 2o 7o)
TA—IZ&D. TOT =)V RITHEER
MMBHBMESININEREINET,
coordinate_system el HEEZER] Y ¢ —)V ROBFH, o7 0)N

TA4—IZXD., ZTDT 4 =)V ROMEER
MEFRINET,

ensemblenode 7A/NT 1 —

1

# Create and configure an Ensemble node
# Use this node with the models in demos¥streams¥pm binaryclassifier.str
node = stream.create("ensemble", "My node")

node.setPropertyValue("ensemble target field", "response")

node.setPropertyValue("filter individual model output", False)

T T =BT, 2 DERFBENULEDOETI - FT Y FEMABEGDET 1| DOE
TIED XD EMRTRIZRELET.

node.setPropertyVa]ue("ﬂag_eﬁsemb]e_metﬁod", WConﬁdenceWeightedVo’cing")
node.setPropertyValue("flag voting tie_selection", "HighestConfidence")

2 74. ensemblenode 7'T/NT A —

ensemblenode 7O/NF ¢ —

F— 5%

TN 1 — O

ensemble_target field

P EEYIAN

T TIIINTHHEINDTRTOE
FTINOMGET 4 —)L REfRELET,
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# 74. ensemblenode 7'O/NT 1 — (2 ) :

ensemblenode J'TI/NF ¢ — F—HM TuNT 1+ —DFH

filter individual model output 777 il DETIDAITY > JhERz2I
HTHEMESINEIRELET,

flag_ensemble method Voting TH T e AAT EBRET D720

ConfidencelWeightedVoting
RawPropensityWeightedVoting
AdjustedPropensityWeightedVoting
HighestConfidence
AverageRawPropensity
AverageAdjustedPropensity

AT 2 HEZBELET. 2O
FEWL, BRI N=R/EN T S TR T ¢
— VR THhHHIHBEICOIHEHINE

K

set_ensemble_method Voting TIHTI e AT BIRET D720
ConfidenceWeightedVoting IHRT 2 HEEHEELET, DK
HighestConfidence ElL, BIRINEHMENHER T ¢ —
IWRTHHBLEHICOAEHINET,
flag voting tie selection Random IR IR BRIRE N GG, ISR
HighestConfidence DIFRFFEERELET, ZORE
RawPropensity 12, BIRSNZMENT TR T ¢ —
AdjustedPropensity IWRTHIBEEICOHBEHEINET,
set_voting tie_selection Random B G FENBRIRS N GE, nlEE
HighestConfidence DR FIEEIRELET, TOBRE
B BIRSNIHRPHER T =)
RTHEHGECOHBEAINET,
calculate_standard_error 770 MERET =)V B ERBE OG5, R

BPEDRHRMNT 7 4 )L h TEBE N,
HESNZEERSHEES N EEE
DEEDERZRREL., 215 OHEE
MENFERNWNERLET,

fillernode 7O/NT 14 —

@
.+_h.
S+

Nt

%<, RIBEOESHWAMTONET,

il

node = stream.create("filler", "My node")
node.setPropertyValue("fields", ["Age"])
node.setPropertyValue("replace_mode", "Always")
node.setPropertyValue("condition", "(¥"Age¥" > 60) and (¥"Sex¥" = ¥"M¥"")
node.setPropertyValue("replace with", "¥"old man¥"")

# 75. fillernode 7' /NT oA —

&) —RT, 74—V REDOBMEOCA N —YDEEZITNET, OBLANK(@FIELD) DXL
7%, CLEM &MICHEDWTHZBERTZ I ENTEET, /2. TRTOLEAMED XIVE 2
FEOMEICEMRT S EBHTEET, @/ —RL, 7—FH ) —REHEICHERINHEEN

fillernode 7T/XF ¢ —

F—AH

PA=VAC R SOk L]

field

JX b

BMEINTEBRINAEOT—F Yy hD T 4
—JL REE,

B 11 E 74—V RBE/ —RoTO)NT 1 —
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#75. fillernode 7'O/NT 1 — (#EZ)

fillernode ZT/NTF ¢ — F—F TaNT 1 —DFHY]

replace _mode Always TRTOM, ZEAME, EREXIVMEEZBIRTE
Conditional F9, T BELESMBICHEDWT, &
Blank TEET,
Null
BTankAndNull

condition el

replace_with &

filternode Z7O/XT 1 —

f;\ TANE = J=RT. 1 DOAN/ = RPSMD 1 DOAN /=R, T4 =)V R&ET 1)L
{:3 FUT B L. 74— )VRBELEEL, £i2o 74—V FEB#MTET,

il

node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new name", "Drug", "Chemical")
node.setKeyedPropertyValue("include", "Drug", False)

default_include 7'0/NF ¢ —Dfifl: default_include 7/NT 4 —DEZHREL TH, TXTDT 4 —)b
RINEHEIICHR D AENZOBRNASNZDTE2DOITTIEH D ER A, HIZ, HIEBRREIN TWAHEBICHT
577 )N RNRESINDZTTY, 2T, 740y —- )—R | 14707 - Ry VAT IFI7%
WERTI74—=IVRZEEDHD) 27w rd5IEE, BEMICFETCTT, fIZIE ROAZ Y T KEET
T5EEELET,
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the list
for f in ["Age", "Sex"]:

node.setKeyedPropertyValue("include", f, True)

ZHUTED. Age (FFfin) 74—V R&E Sex (Rl 74—V RN/ —RZ@EEL. ZOMIZTRTHRILSN
F9, KRiZ, MCAZU T RNE2HORETFTLETN, 2 DORLL 74— IV RERELET,
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the list
for f in ["BP", "Na"]:

node.setKeyedPropertyValue("include", f, True)

ZHUTED, TBIT 2 DDT7 4=V RMT 4 IIVF—ITBMENZDT, G5t 4 74—V R (Age (FE#m).
Sex (T£@l). BP (IfiJf). Na (F hU DT LME) N7 4 )7 —Z@imLEd, DED, default_include DfE
Z False QUYL TH, IXRTOT 4 —IVEBHBWIZU Y hINEHDITTIEH D £H A,

TOROO, AV VT NEERTZN (T4 F—+ /=R 4707 « Ry ANT
default_include % True ICZOWRFRTER T2 &, BHENSOHITRD, ERED 4 74—V RIZ EEED 4
T4 =V RS ENET. (T4 NI —- =R Y4707 - Ry ANOIA> hO—)L TERT S Z
EM. ZOMARBREMMFET 55 A THRICEE XTI,
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£ 76. filternode Fa/)NT 4 —

filternode ZTXF ¢ — F—mm

Tans 1« —0HW

default_include 720

FIFIN IO EL T =V REZFRBEE
BNT 4 WY —ENTENDIEEET BHF— -
ASVAS RPN

ZOTONT 4 —ZEHRELTH, ITXRTDT 4
—)U RONEHBEIICEDAENZ DRIV S 1720
THOITTIEODEEA, BIRLEZT 4 —ILR
N T 73 B TIERDAENE DRI S NS
NERDDHETTY, Flld. TomESIRL
TLEEN,

include 757

T4 =)V RZEORADNRANT D200F— 7
O/NF 4 —.

new_name pe

historynode Z7O/XF 1 —

£9, BRI —RiE, <A,

B RHN T — 4 75 E DG s T —F I SN E T, K

<::> BFR5 ) — RickD, RiLI—ROT7 4 =)V ROT—42E8, #HH 7 + =)V ROMERS N

RH) —REFAT AN, V—h - J—REFALT, 782/ —hLTHIILBTE

ES

il

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fill with", "undef")

2 77. historynode 7'T/NT o —

historynode 7O/ F 1 — F—A 8 Jans .« —oHMH
field JZ K BREORR LD T 40—V R,
offset HofE BERH7 0 — )V RMaZEME T 2 &H L I—R
N HMIEOL I—ROW DFICH D& ts
ELET,
span Bl fEZEMHNT 5TIc/s L I— ROHENICZH 2 L
d— REZERELET,
unavailable Discard FERHE LU THERT RO a— RN anT
Leave —4ty FOREEOKL O— RE@EIdfEL
Fill EIN. ZORRFUENIZNL T— ROED
WNFEERRELET,
fill_with String FERIMENFIA TE/ L O— REFRET S
Number DIZAE AT DMl (Number) 72133055
(String) EIRELET,
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partitionnode Z7O/XF 1 —

TR/ — KT, ETIHEED

TAR, BROBEEOZEAT—VHIC, T—4 %M

feend T LEY TRy MCAET 2T — Y K87 1 —Ib RAERESNET,

b

1

node = stream.create("partition", "My node")
node.setPropertyValue("create validation", True)

node.setPropertyVa]ue("trainiﬁg_size", 33)
node.setPropertyValue("testing_size", 33)

node.setPropertyValue("validation_size", 33)
node.setPropertyValue("set random seed", True)

node.setPropertyValue("random seed", 123)

node.setPropertyValue("value_mode", "System")

% 78. partitionnode 7'HO/NT o —

partitionnode 7TI)XF ¢ — F— il Tansy 4 —DHm

new_name X J—RICKVDERSNET =YK 74—V RO
#HITY,

create validation a4 ML DT — % R EERT 20 E SN EHREL
£,

training_size 2= FEARMICEOD S TS L a— REO/NS—t > F
—3 (0-100),

testing size B TANMNIKSICHODETHLO— R/ —t >
T —3 (0-100),

validation_size B BREAXMCE DS TS L O— RED/S—t > T
—2 (0-100), BRFEEFT —& K7 & B L 72\
AlREEINET,

training_label X7H FEHT—YREHD TN,

testing_label XFH TANAT=FREHDOITN),

validation_label XF4 BIEAT— Y R3O TN, BT —5 K%
AR U BWGSIIEHINET,

value_mode System T—IHOET YKy ERT-DIHEHINS

SystemAndLabe]l EEEELET., #IXE. FEAY > IE >
Label ATLEE 1. X)L Training. £/21EID 2

DEMABRDOER 1 Training DLDITEINE
R

set_random_seed Boolean I—HY—FEDT > F L >— REfHATZNE
IMEREL LT,

random_seed R A—Y—EFRDTH L+ >—RDOE. ZOEN
HHENDEDI2T5ITiE, set_random_seed %
True ICRRET HHLENRHDET,

enable_sql_generation Boolean SQL FwiaNy I EFERALTLI—RET—%

KICED Y TLENEDMERELET,
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# 78. partitionnode 7' O/NT 1 — (FE )

partitionnode TN F ¢ — F—& 1 TONT 4 —DFH

unique field L O— ROEAEZ TR DR UATRER FIETT —%
KPIZEIDBETHRD, AT 4=V RZ2HEEL
£9, ZOoENERINSLDITT BT
enable_sql_generation % True ICRXET DNHE

nH0ET,
reclassifynode 7O/ 1 —

Foy N — RIZE D, BBHFTU Oy MRIOLy MCERINET, F—5%

@ i, A7) —EEERLED. SO —5 %7 — LB TRAI RS £ T,

il

node = stream.create("reclassify", "My node")
node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace field", True)
node.setPropertyValue("field", "Drug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])
node.setPropertyValue("name_extension", "reclassified")
node.setPropertyValue("add as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)
node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")
node.setPropertyValue("pick Tist", ["BrandX", "Placebo", "Generic"])

# 79. reclassifynode 7°/NT 1 —

reclassifynode 7 O/)NF ¢ — F— 5 Tans ¢ —OHM
mode Single 1 DT 4 =)V ROATIY—ZHNET DY
Multiple £, Single ZFHAL £, Multiple (D
ZHEMTDE —EICERD T =)L K2k
ICEMTEET,
replace_field 757
field A Single E— RTLMNMEHTEERA.
new_name A Single E— RTLULMNMEATEE® A,
Z4—ILE [field] field2 ... fieldn] |Multiple E— RTLOMHHTEEE A,
name_extension ped Multiple E— RTULAMERATE EH A,
add_as Suffix Multiple E— RTULMEHTE EH A
Prefix
reclassify X7 74 =)V MERA#EL T T/T 1 —.
use_default 777 T4 MEEHHALET,
default XFH TIHIMEZREEL XY,
pick Tist [string string ... string] | 1—H =% BEHIOFH L WEZEA > HR—HFLT
FT=7INORay F¥ I - YA ET—4
THDLIENTELLDICLET,
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reordernode 7O/NT 1 —

T4 —=IVRIEF/ —RT, FROT 4 =)V RERICEMT2EF2ERL £T. ZONEFIE,

i

T—=7). UAb, BT 4=V R Evh—&, ISEIERGFTOT 14—V EOERIC

BHASNET, ZOBMER, SERITERT Iy MIBWT, HEDT 4 IV REX DB
LT <I28BITHRIILEET.

1

node =
node
node.
node.
node.
node.

2 80. reordernode 7E1/NT 1 —

stream.create("reorder", "My node")
.setPropertyValue("mode", "Custom")
setPropertyValue("sort_by", "Storage")
setPropertyValue("ascending", False)
setPropertyValue("start_fields", ["Age", "Cholesterol"])
setPropertyValue("end fields", ["Drug"])

reordernode FTI/NF 1 — Ty FaNT ¢ — DY
mode Custom EEEHHWIEOIEZZD, 2—F—fFEDIE
Auto FEEETDHIENTEET,
sort_by Name
Type
Storage
ascending 757
start_fields [field] field2 ... fieldn] |HH 74—V RiZ, ZTNE5DT 1 —)V RD&ZIC
HAINET,
end fields [fieldl field2 ... fieldn] |FHHLT 4 —IVRiEZ. ZNS5DT 1 —I)V ROHIIZ
FASINET,

reprojectnode ZO/NT 1 —

®

7 81. reprojectnode 7I/NT £ —

— R EDHEHBER.

SPSS Modeler Tl BV — 2R, FFZefiFH (STP) /— R, v 7@ 5L/
R ERER ML ET, MEEEREEH TS > R— b T—% D EEE
REEBETHITIE, KE/ —REFEHL T ZE N,

reprojectnode FONTF ¢ —

F— K

Tans o« —0HW

reproject_fields

[field] field2 ... fieldn]

HREZINDZTXRTOT 4 =)V RZUZARLZE
S

reproject_type Streamdefault T4 =)V ROBEZREHIEEZBRINLET,
Specify
coordinate_system el 7 4 =)V RIZH#H SN2 R D4, B

set reprojectnode.coordinate_system =
"WGS_1984 World_Mercator"

138

IBM SPSS Modeler 17.1 Python A7 J 7 h&F—h A= a - AR




restructurenode 7°I:I/\°7_'»f -

/_\'. B ) — R T, ARBERIITITHT =)V RE, ZODSHIDOT 4 —)V ROETHED
<—EEXI ZEMTED T4 —IROTIN—T~EH|LUET, HlZIE. credit. cash. BI debit DIED
e payment type EWIARIDT 4 —IVRDBHZGE. 3 DOHFHLNWT 4+ —IV R (credit. cash.

debit) IMERRENET T, TOFLITE, EEROIADEEZEZDD LM TEXT,

1l

node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include_field_name", True)
node.setPropertyValue("value_mode", "OtherFields")
node.setPropertyValue("value fields", ["Age", "BP"])

% 82. restructurenode 7 T/NT A4 —

restructurenode /N ¢ — F— TaNnNT 1 —DFHY]

fields_from (T — 7Tl
= R
all

include_field_name 757 HHEREINS T4 =V RAITDO T 4 =)V R4

BERTHZNESMNERLET,

value_mode OtherFields HEREIND 74—V ROEERIRET H72DD

Flags E—RZRLZET, OtherFields ZHET %

&, HHTZ 74—V REIRETH2HENH D
9 (F25R). Flags 2fFET 2456, E
3EMED T 57 TY,

value_fields list value_mode 7% OtherFields DFEIIHET
o EOT 4 —I)VRELTHEMT 27 4=V R
ZHELET.

rfmanalysisnode 7 0O/X7 1 —

V—t>, UL, IFRFU— REM) OO0/ —REHHATSE, REBEICHALZ
OMEDL SNHEILN (U—t ), EOLL5WHEICHATZN (ZUZIT ), hIoH
72a R TR BHELEDY (X3RFYU—) ZRIETHIEICES T, ROBEVERER
HEEZLNDDILEDERNEBIICIRET DI ENTEET,

1

node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied values method", "Next")
node.setPropertyValue("recalculate_bins", "IfNecessary")
node.setPropertyValue("recency thresholds", [1, 500, 800, 1500, 2000, 2500])
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7 83. rfmanalysisnode 7'T1/NT 1 —

rfmanalysisnode 7 O/NF 1 — F— 5 Tans 1 —oHm
recency 74 —JV R =ty 74—V REEELET., TOT 4
—IVRIGZHEA, 1 LAY TR EM 7 il
T,
frequency 74—V R JUIT>Y T4V RERELET.
monetary 74—V R NRFZ)— T4 =)V RZEHEELET,
recency bins Ei74 ERRENs -2y ECokERELET,
recency_weight Bofd =ty F—HICHEHAINIEAZEELE
9", The default is 100.
frequency bins 54 ElRENs 77Ty ECORERELE
E
frequency_weight Bofd TJUILY THIEAINSEAZFEEL
£9. T74)VME 10 T,
monetary_bins Eisq EREINLEIYRY ) — - ECOBERELET.
monetary_weight HetE XA — - T=HITHEAINSEHZHEL X
9., 774V MF 1 TT,
tied values_method Next A EFRBOMBOT—F ICHE N5 E > ZHRE.
Current
recalculate_bins Always
IfNecessary
add_outliers a4 recalculate_bins 7Y IfNecessary IZFRESNT
WHEAEHATEET, XESINSE. TRROE
COFIZHBHLaA— RN TFROE EME 1.
FROE>D EiZHB L a— RN EROE T8
fiEnEd,
binned_field Recency
Frequency
Monetary
recency thresholds 18 & recalculate bins 7% Always IZEREINTND
LR TEET., V-t ECOEEBX
O FROMEZEELET. H2E> D LEDORM
EAROE O TROMEE L THEAINET,
Bl ZIE. [10 30 60] 1d. WmHIOE T 10 B&K
30 DLERBLOTROBENHD, 2 HHD
EAZiE 30 BEWY 60 OMEND D EEHRLE
ER
frequency thresholds e recalculate_bins 7% Always IZEREINTND
BOERTEET,
monetary_thresholds fiE A recalculate_bins 7% Always IZERESIN TN D

BEfiiTEXT,
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settoflagnode Z7O/XT 1 —

1

node

node.

node

node

TITHBE/)—RT, 1 DULEOAFER T 4 — )V RICERESI N7 TV —EHICH DW=, &

@ BDOTZI8T 40—V ROBIREL 9,

= stream.create("settoflag", "My node")

setKeyedPropertyValue("fields from", "Drug", ["drugA", "drugX"])

.setPropertyValue("true_value", "1")
node.
node.
node.
node.
.setPropertyValue("aggregate", True)
node.

setPropertyValue("false_value", "0")
setPropertyValue("use_extension", True)
setPropertyValue("extension", "Drug Flag")
setPropertyValue("add as", "Suffix")

setPropertyValue("keys", ["Cholesterol"])

7 84. settoflagnode 7 T1/NT 1 —

settoflagnode 7'0/NF 1 — F—y TaNT ¢ — DM
fields_from (HT7TU— J17TU
— 17T —]
all
true_value e TITERETHEZC/ —RIMEHT2E
(true) DEZEIFELET, T 74N NI T T
ER
false value XFH TITERETHEEIC ) —RREHT 2
(false) DEZIEELET. T 74 NI F T
ER
use_extension 777 FiE T 5 URT ¢ —)) ROEEREEE 3G
ELT, #RTEMEHLET,
extension ezl
add_as Suffix PEER TR R (Suffix) F/ZIZHEFHEE (Prefix)
Prefix ELTEMENDZEERELET,
aggregate 757 F— T4 — )l RIZHEDWTLO—RET ) —
TUET. E (true) ICREINAZLI—R
M1 DThbHdE, VI—THOTRTDT
FURT ¢ —)V RINEINTIR D ET,
keys list F—- T4V,

statisticstransformnode Z70O/\5 1 —

Statistics 2t / — Rid. IBM SPSS Modeler
[ @> U A - AR ROBIREZITNET,
il SPSS Statistics @ 1 E—BETT,

DT —4H + ) —ZIZHkT % IBM SPSS Statistics
D/ —RiE, A4 ANG 2 5N72 IBM
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ZD)—ROTO/)NNT 4 —IZDNWTIE. 21 XK= D T[statisticstransformnode 7 1/NTF ¢ —J [([ZFR#k S T
WX,

timeintervalsnode Z7’0O/\F 1 —

=) RIS / — KT, BRFIF—8 OEFIERMICKS £18E L. BEICELTI NV EIER
(F, L. EOMBASICZET 5N TORVEAR, LI~ KM H#OMRE &5 LEITH

CT. EZRELLDES LD TEERT,

1

node = stream.create("timeintervals", "My node")
node.setPropertyValue("interval type", "SecondsPerDay")
node.setPropertyValue("days_per week", 4)
node.setPropertyValue("week begins_on", "Tuesday")
node.setPropertyValue("hours_per_day", 10)
node.setPropertyValue("day begins_hour", 7)
node.setPropertyValue("day begins minute", 5)
node.setPropertyValue("day_begins_second", 17)
node.setPropertyValue("mode", "Label")
node.setPropertyValue("year_start", 2005)
node.setPropertyValue("month_start", "January")
node.setPropertyValue("day start", 4)
node.setKeyedPropertyValue("pad", "AGE", "MeanOfRecentPoints")
node.setPropertyValue("agg _mode", "Specify")
node.setPropertyValue("agg_set default", "Last")

% 85. timeintervalsnode 7 T/NT 1 — :

timeintervalsnode 7ONTF ¢ — F—4& R Jans 1« —oOH

interval_type None

Periods
CyclicPeriods
Years

Quarters

Months
DaysPerWeek
DaysNonPeriodic
HoursPerDay
HoursNonPeriodic
MinutesPerDay
MinutesNonPeriodic

SecondsPerDay
SecondsNonPeriodic
mode Label L a— RIZER LTIV EAT S (Label)
Create M FRIEERESINSZAM Y1 LAY >
7 FERERE T 4 — IV RICE DWW TR E
WET 57D (Create) ZHRELE T,
field 74—V R T INERINEHET HEE1F. £ a—
ROBMELFRFANZRT 7 ¢ =)V RZERE
LET,
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72 85. timeintervalsnode 7'T/NT 1 — (

)

timeintervalsnode JO/NF 1 —

F—HH

TaNT 1 —OHH

period_start

Eisq

A K72V IEER 9 % BRI 0 B AG T 2 45 L
SN

cycle_start

2224

59 2 W O BLAY 1 7)),

year_start

B

AR YA T D, BRIIDKZINAS
F,

quarter_start

B

R WREIRIK S 1 T D, RAIOKSNAS
Bt N

month_start

January
February
March
April
May

June
July
August
September
October
November
December

day_start

B

hour_start

Eisq

minute_start

B

second_start

B

periods_per_cycle

2224

fERT 2O, #5517 )VND R,

fiscal_year_begins

January
February
March
April
May

June
July
August
September
October
November
December

VIR DX DB G REHEENIRE D
AZEELEXT,

week_begins_on

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
Sunday

FEME7RX ) (S0 O, HE7Z00
K, HYM720 0%k, HY7Z0 OB
O, BEANHELEAZIEEL L7

day_begins_hour

BER

EHNR Ry (HS 720 OFRERI%. B4
D B0 OB O, HWIEE DK
MzHEEL £, day begins_minute &
day_begins_second ZfAEHE T 8:05:01
DEDIT, LR ZIRETEELRT. TOD
FHRGIESEL T ZI 0,
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# 85. timeintervalsnode 7'1/NT 1 — (FE ) :

timeintervalsnode JO/NF 1 —

F—

TaNT 4 — O]

day_begins_minute

s g

EMR XD (H%720 OFfE. B%7=D0
DO, HYZ0OBE) ©. AHNMAE 5K
Moo ZzEEELET AL 8:05 @ 5).

day_begins_second

EHIW X (H%720 ORI, BH%7=0
DO A% OBE) O. ANAE 5K
MloMzEEELET AL 08:05:17 @
17)e

days_per_week

T RX S E47=0 0%, H47=00
KEfE, HM720 008 HY%720 0
D, BWHEZ0DOHEZERELET,

hours_per_day

EHR 2K (H%720 ORFEL B%7=0
DO, A%Z00BE) . 1 HOFEE
EEELET,

interval_increment

30

HY47=0 D0 EHS7=00BEICDONT,
#HLO— RAES OB E IR EEE L
ia_o

field_name_extension

XFH

field_name_extension_as_prefix

757

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

qQ YYYY

ww WK YYYY
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# 85. timeintervalsnode 7' /NT 1 — (FE ) :

timeintervalsnode JO/NF 1 —

F—H

TaNT 1 —OHH

time_format

"HHMMSS"

n HHMM n

n MMSS n

"HH:MM:SS"
"HH : MM"

"MM:SS*"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH . MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

aggregate

Mean

Sum

Mode

Min

Max

First

Last
TruelfAnyTrue

74—V ROEFHFIEERRELET,

pad

BTank
MeanOfRecentPoints
True

False

T4 =)V ROFBHEFIEZRRELET,

agg_mode

A1l
Specify

WEIZIGCTT 74 )V OB TIRTO 7
4 =)V REEFELIIHETHNE SN AR
ELET, LT HHITEZT7 =V REH
WERELET,

agg_range_default

Mean
Sum
Mode
Min
Max

HGR T ¢ —)) RZEFHTHEXITHEHNT S
T NORBEKEEELET.

agg_set default

Mode
First
Last

HEMT 4 IV REEFTDHEZIMEHT S
T4 NOEKERELET.

agg_flag_default

TruelfAnyTrue
Mode

First

Last

pad_range_default

Blank
MeanOfRecentPoints

HEHH T 4 — IV KRBT 4 27T B &I
HAT5774) bOBKZEIRELET,

pad_set_default

Blank
MostRecentValue

pad_flag_default

Blank
True
False
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# 85. timeintervalsnode 7'1/NT 1 — (FE ) :

timeintervalsnode 7' TI/\F  — TR PAAC IO L]

max_records_to_create s g RANEFIAT 2 EEITERT 2K I— R
BEBELET,

estimation_from_beginning 770

estimation_to_end 770

estimation_start offset B

estimation_num_holdouts B

create_future_records 770

num_future_records B

create_future_field a4

future_field name &

transposenode Z7O/XF 1 —

THAEE ) —RT, LO—RKNRNT 4 =)V RIZARD, T4 =)V RNV I—RIZES LI, T

EANDT—5 B ET

il

node = stream.create("transpose", "My node")
node.setPropertyValue("transposed names", "Read")
node.setPropertyValue("read from field", "TimeLabel")
node.setPropertyValue("max_num_fields", "1000")
node.setPropertyValue("id_field_name", "ID")

7 86. transposenode 71/NT A —

transposenode JO/NT 1 — F— & TanT ¢ —OHY
transposed_names Prefix HLWT ¢ =)L RAIE, 58 SN /- 0k
Read (Prefix) ICHEDWTHBIIERTEET, £

3 BEEOT—YNDO T 4 =)L RS T 4 —IL R
HEFRHAADTENTEET (Read),

prefix &2l

num_new fields B BRI 25813, fERRT2H L WY ¢ —
IV ROERREEREL £,

read_from field 74— K AR ARAEND T 4 =)V B, UM 2 AS
CAEINIET 4= RTH D ENBETT,
ZTOTRWEEIL, /—RAEfFINSLEICT
T—IREELET,

max_num_fields = T4 =)V B S AT EHAADHEIE. BEITK
BOT 4=V REERLBNEDIC, 74 —JVR
BOERREHEEL LT,
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# 86. transposenode T/NT 4 — (FEZ)

transposenode 7 O/NF 1 — F— TNy —0OHM
transpose_type Numeric F 74 )V S TIERR D T 4 — )L ROBDITHIN
String ANBALSNETN, RO, BT« —IL R
Custom DODHAY L (A—Y—%E) 7ty hEBRRE
RIRTOLFHNT 4 =V REANEAS L
HTEET,
transpose fields list Custom (L—H—f%E) A7 a a&lHTSE
X2, Al ANEBEZD T4 =)V RERELE
ER
id_field name 74 =K

typenode Z7O/XT 1 —

:;\ T=HR)—RFT, 74—V ROAYFT—=rETOaNT 4 —ZBELET. fIAE &71—
(B2) v woRmE GoRE. RN FE. £213752) SHEL, KL 27

XNVOWNED= DDA T a o #REL. ETIVEROBMICHT S 7 ¢ —)b ROKE %%
L. 74—V REED TN EHEEL. 74— IV ROEZBEELET.

1l

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC", "drugD", "drugX",
"dY‘ugY" s "drUgZ"] )
node.setKeyedPropertyValue("null missing", "BP", False)
node.setKeyedPropertyValue("whitespace_missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value_labels", "BP", [["HIGH", "High Blood Pressure"],
["NORMAL", "normal blood pressure"]])

HLFEOLE. 1FND ) —RKNELSHEIETDEHIC. 7I7RE/—RD fields from 70O/8F7 14—
K2, THM ) — REFZERIIA DAY P ICT DV ENGSDGENHVET, 74— IV REA DAY >
LT B2 ROEDIT, T—TI) - J—REHEHL TETTDHETTT,

tablenode = stream.createAt("table", "Table node", 150, 50)

stream.link(node, tablenode)

tablenode.run(None)
stream.delete(tablenode)
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# 87. typenode 7T/NT 4 — :

typenode 7I/X

F 40— F— X ZA= VAV R Ok L]
direction Input T4 =) ROBEOF—TO/)NF 4 —,
Target E: O ff In & out WEIESNELE, 5D
Both U —ZTIEYR— P I NS BENH D
None ES N
Partition
Split
Frequency
RecordID
Type Range T4 =)V RORE
Flag P74 =V R 1541 7"J EEENTWY
Set F L&) type & Defau]t IRETHE
Typeless values NI A= —EZ7 U7 LET,
Discrete value_mode DfANY Specify DIFHE. Read 1T
OrderedSet Uty FLET,
default value mode 7% Pass E7zi Read IZRXE I
%’)%A\ type ZF%EL TH value mode IZ
IFED D ET .
51: W TSNS T —F 83, F—F 8/
—RICEREINDT—FREIRZDFET, K
DEDITHIEL 9 #pEM > #Hgty M -
> ARIEFEy N > JEFEEEE- > T
) —#l
storage Unknown T4 —IVRDARNL— « A THHAASE
String i AN VAC AP
Integer
Real
Time
Date
Timestamp
check None T4 =V R - AT EHFAOKRERDOF— - 7
Nullify O/N7 4 —,
Coerce
Discard
Warn
Abort
values [value value) MR T ¢ —)V ROGE. &) DEN F/IMET
REDMEMNRRMEITZD T, AFRUT 1 —))
ROHE., IXRTOMEEELET, 7T 78
DG, BYIDMED false (1B) &, BZEOMEMN
true (B) #XLET., TOTO/NT 1 —%H
ET D&, value mode 7' O/8T 4 —DIEAH
FIT Specify ICRESNET,
value_mode Read Dz ﬁ?’ﬂf%ﬁ%ﬁbi’é‘o ;0)71:1/\7‘4—
Pass IZ Specify ZEBZITIIRETE RN &I
Read+ BLTLEIW, FEOMEZEHHAT 51T
Current values 7NT 4 —ZHEL ET,
Specify
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# 87, typenode 7O/NT 4 — (FiZ):

typenode 70/
51—

Tans « —oHM

extend_values

value_mode 7% Read IZFXE S N/ EITiEH
INET., HLL<FTAAALMEZ, 74—)H\
OHGEOMEIGEMT 55613, T 2% ELE
T LS TAANLMEZERL T, BEDMH
ZWET LA F ZRELET,

enable_missing

757

ERELESS. 74—V ROREBHEDOBH
73”55?”:732@ ESCIN

missing_values

[value value ...]

RET—F &R TS EERELET,

range_missing 757 74 =)V RITRIBME (ZEH) OHEIPFANEFR SN
TWBENESINEIRELET,

missing_lower el range missing MNE (true) DHE. RIBMH
PO TRMEEIEEL 7

missing_upper XFF range missing 2VEL (true) DIFE. RIEMEES
P EREEEELET,

null_missing 757 ERELSE. XIUE (V7 FU Y Tl
$nulls &L TERINDIAREREME) IIRIEM
ERBEINET,

whitespace 757 ERE LG, EAE (AR—X, 7,

missing BLUOKAT) B EESOENRIEMER2In
ESCIN

description el T4 =)V FOFHAEEEL ET,

value_labels

[[Value LabelString] [ Value LabelString] ...]

EOXRT DIz DTN ZtEEL 9.

display_places

T4 IV RNERIND & E DN O %
MELET REAL ARL—2D7 4 =)L RIC
DHER). -1 ZRETHE. ARN)—LDT
TV EPMEREINET,

export_places BB T4 =)V RINEIREIND & ZD/NEE DMk &
WELET REAL AL —2D7 4 =)V RIC
DHEH) -1 ZRETHE. ARNI—LDT
TV RIERENET,
decimal_separator|DEFAULT T4 =)V RO/ EEIREL £9 (REAL
PERIOD AML =207 4 =)V RICOHEMA).
COMMA
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# 87. typenode 7O/NT 4 — (FEZ):

typenode 7I/X
TA—

F— M

Tans 1« —0HW

date format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

T4 =)V ROHMERXZHRELET (DATE £
72V TIMESTAMP A KL —2 D7 4 —)L RIZ?D
AT NETD),

time format

"HHMMSS"

n HHMMII

IIMMSS n
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS*"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

T4 =)V ROHAMEXZHRELET (TIME £
721 TIMESTAMP A KL —2 D7 4 —)L RIZ?D
AT NETD),

number_format

DEFAULT
STANDARD
SCIENTIFIC
CURRENCY

T4 =) RICBUEDOE R ZREL T

standard_places

B

T4 =)V R TEIRIND EED/NK
MUTFONRZERELE T, -1 2%ET2
L. AN —=LDOT T HI)I IMEHEINET,
BEfFOD display places Aw R TH I D%
MERINE TN, BIEIFIBIESNTHET,

scientific_places

T4 =V RDNRZROBTERIND EEZD
NG LT ORI i@ LET. -1 28T
L, AMN—=LOT 7))V bOMERSINE

ER
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# 87, typenode 7O/NT 4 — (FiZ):

typenode 70/

FA— F—& TanNT ¢ — O
currency places | #&% T4 =)V ENEBORXTERESNLEZDT
4 =)V RO/NEEL T oM #Re L ET., -1
ERETSHE AN)—LDT T4 )V SHMEH
INET,
grouping_symbol | DEFAULT T4 =V RIZTIN—=Ts >R ERELE
NONE ER
LOCALE
PERIOD
COMMA
SPACE
column_width B T4 =)V RICHMEZREL T, -1 EWS1E
ZIRET 5 E. FlEIL Auto ICERESNET,
justify AUTO T4 =)V RICHIFARE R E L ET,
CENTER
LEFT
RIGHT

measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

ZoF—fE7oNT 1 —id. 74—V RICH
BT ONIEREZERT LH-DIHERATES
EWVWIS T, type EHEBLTWET, £ixb
DlE. Python A7 U T NT, getter BIEAVE T
MeasureType fHZIXT —4 T, setter BIEKIT
MeasureType fED S HBD 1 DEJET I EHT
EHLEVNIHTY,

collection_

Range / MeasureType.RANGE

ET 4 —IV R @SN 0 DU OB,
ZDF—frETo/)NF 4 =13, HEfE LB HEIC

measure Flag / MeasureType.FLAG
Set / MeasureType.SET BT SNIERESY 1 TEERLET,
OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS

geo_type Point HWIZEM T =)V ROBFH., ZoF—ft&71
MultiPoint INT A =&, DT 4 =)l RNFT HHZE
LineString MA T2 NI A TREHRERINET, Ih
MultiLineString 13, DY A FDES EEBEL TWDLHLEND
Polygon DET,
MultiPolygon

has_coordinate_|boolean HWEZER T — )V ROB\E, 2T 0T 1 —

system IZ&D, 20T 4 =)V RITEERNDDMNED

ININERINET,
coordinate_system| 35 HEZER T 4 =)V ROBFE,. ZoF—fF&70

INT 4 =12, TDT 4 =) ROPFEFEZRNE
HEINET,
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# 87. typenode 7O/NT 4 — (FEZ):

typenode 7I/X
TA—

F— M

Tans 1« —0HW

custom_storage_
type

Unknown / MeasureType.UNKNOWN
String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP
List / MeasureType.LIST

ZOF—HMETONT 4 —d T4 — IV ROF
—N—FA4 R ARL—VZEHRT DI

FATESEWNS T, custom storage &AL

LTWET, BAD5DIE, Python A2 U7k

T, getter BAEOVHIZ StorageType fEZIRT

— 5T, setter BIEIZ StorageType fHD S H D
| DEETIEDTELENDHTT,

custom_list_
storage_type

String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP

AR 74 =)VROHE, ZoF—f&70
NT A4 —IZKD, KEEBDEDOA L —
A TR SNET,

custom_list_depth

By

JAN 74 =)V ROFH., ZOF—fI=7n0
INT 4 =2k, 74—V ROESINIFEIN
ESCIN
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£12 8 JS57(K/—Fo7ans1—

JS57%k/—RodEdEDFOANT 14—
2ot alTiE, FYIIER/—RTHEATES7O0/)NT 4 —IZDWT, @7 aNr s —& /) —
R ATEHAEDTO/NT 4 —bEDTHBHLET,

#88. 7T IEMK S — Rottim 7 a/NT ¢ —

7571k ) — Rot@ 7o
1= TR TOaNT ¢ — DY
title X754 &4 bVEEEL XS, #i:"This is a title."
caption A fRF e L E 9, #:"This is a caption."
output_mode Screen I I — RIS DI ERRENDD T 7 A
File AEEAENDZNEHEELET,
output_format BMP Whoy o« 7&2BELET. Hhnfehy 1 713 &
JPEG 77 A J =R UTELL £,
PNG
HTML
output (.cou)
full_filename ped TSI — RIS ERENZT 5T D, kD
INAET 7 AIHERELET,
use_graph_size 757 TicHHAT2EEEIOTaNT  —&2HAL TS
TDYA XIMHRLU TRESINDZNES N ZEHITEL £
T BEICHNIESNDE YT TITETRELET, KBS
7« J—RIZHTEEE A
graph_width Hofl use_graph_size 2\ True O¥H. VI 7DIREE &
WETHREL XTI,
graph_height e use_graph_size 7% True OYH. VI 7DEHIEEY
TV THREL £,

FFTar 74—V ROERIL
WA DOF—=N—L A « 74—V REEDF T3> - 74—V RIE, ROFIOXDIZTTO/ST 4 —fEIC "
"(EXTFH)) ERETHIEICKD, EIMLT BRI ENTEET,

plotnode.setPropertyValue("color_field", "")

BDIEE

FHE, i, TR, BLXUOIRNNVOGIE, Ny aids #) ThHES 16 EXFHITHEET S ZENTE
T3, HlZIE. VI TOYREEMIZT DI, ROXERELET,
mygraphnode.setPropertyValue("graph_background", "#87CEEB")

ZZT, mAD 2 #i 87 IIREBOEZ, RO 2 #i CE I3FDEZEZ. &ED 2 #i EB IIHFDOEZRLE

9. HHIE. 0 S 9 KZld A S F OHIFHOMEIZ/RDET, TNHSOEZMEHL T, R-#%-F (RGB)
DEEHRELET,
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H¥: 1% RGB THEJIZHEG, 11— — A2 —TJx—ADT 14—V R Evh—2FEHALTIELWED
—RERETZHIENTEEXET, EvI—ZHHNOAD LIIHIEIE, 20— RV —)LE > MR
SNET,

collectionnode Z7A/NF 1 —

EHBET T T« J—R T, OB T 4 —)V KOMEITHM BB T 4 —)V ROEOES 57

M EFERRLET EFHEYT7 - J—RTlE. BEANTILWET T TMERENET) . £

£ G5 713, EAMRORIBE & b I BT BB T 1 —)) REERTHHAI RS E
To 3 KT T EBHALT, pMiZENT IV —RICERT B VRIIEREZEINTSZ &6
TEET,

il

node = stream.create("collection", "My node")

# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("collect field", "Drug")
node.setPropertyValue("over_field", "Age")
node.setPropertyValue("by field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")

node.setPropertyValue("range min", 1)
node.setPropertyValue("range max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin _width", 5)

# 89. collectionnode 7°/NT 4 —

collectionnode FTI)XF 1 — F—&M TaNnTF 1+ —DOHW
over_field 74—V K
over_label_auto 770
over_label peZll
collect field 1=K
collect_label auto 720
collect_label &
three D 720
by field 74—V K
by label auto 720
by Tlabel e
operation Sum

Mean

Min

Max

SDev
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# 89. collectionnode 7' T/NT 1 — (#E )

collectionnode TI/XF 1 — F—5 Tans 1 —0HH
color field el
panel field peZll
animation_field el
range_mode Automatic
UserDefined
range_min #fE
range_max HfE
bins ByNumber
ByWidth
num_bins ol
bin_width Hfl
use_grid 720
graph_background color BERED T T 761F, Oty a  ORIICHIAS
NTWET,
page_background color EHED T T 70, 2Ot raORYICHE
NnNTnET,

distributionnode 70/NF 1 —

W57« /) —RT, O—2OfECHERNRE, P 2RIUE 173U —) OMBIBEEZERR

_a LEd, W, %757 ) —REFHLTT—YOFREHEZRLETH, TOF—FI13E
— FIVOERANTNT > A« ) — REFALTEFETEET,

1

node = stream.create("distribution", "My node")

# "Plot" tab

node.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")

node.setPropertyValue("color_field", "Drug")

node.setPropertyValue("normalize", True)

node.setPropertyValue("sort_mode", "ByOccurence")
node.setPropertyValue("use proportional_scale", True)

2 90. distributionnode 7°/NT o —

distributionnode 7'TI/NF t — F—5H TaNnT ¢ —0FHM
plot SelectedFields
Flags
x_field 74 —J)F
color_field 74 —J)VF F—=N—LA T4 —IVR,
normalize a2/
sort_mode ByOccurence
Alphabetic
use_proportional scale a4/
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evaluationnode 7A/NT 1 —

il

node

EEOREFNITINZ2ERLET, THICE-> T, FHMEEFROEEEICHEIWEZL I—
RNV —haNET, 2L T, LI—RPEYA X ) OV —TI2nEEN, 900
EDR AT 2HEDMEN. SWADSHEIETERENET., ERICIE. BROETINNR
RO TRINET,

/\ A/ — Rid, FRIET)V O E BN SNET, YT 7T EFNIREORR
Y

= stream.create("evaluation", "My node")

# "Plot" tab

node.
node.
node.
node.

node

node

node

setPropertyValue("chart_type", "Gains")
setPropertyValue("cumulative", False)
setPropertyValue("field _detection _method", "Name")
setPropertyValue("inc_baseline", True)

.setPropertyValue("n_tile", "Deciles")
node.
node.
node.
node.

setPropertyValue("style", "Point")
setPropertyValue("point_type", "Dot")
setPropertyValue("use_fixed cost", True)
setPropertyValue("cost_value", 5.0)

.setPropertyValue("cost_field", "Na")
node.
node.
node.
node.
.setPropertyValue("weight value", 2.0)
node.

setPropertyValue("use_fixed_revenue", True)
setPropertyValue("revenue_value", 30.0)
setPropertyValue("revenue field", "Age")
setPropertyValue("use_fixed weight", True)

setPropertyValue("weight field", "K")

#91. evaluationnode 7T/NT ¢ — :

evaluationnode 7T1)XF 1 — F— & ZTONT 4 — D
chart_type Gains
Response
Lift
Profit
ROI
ROC
inc_baseline 720
field_detection_method Metadata
Name
use_fixed cost 720
cost_value Hofe
cost_field 75
use_fixed_revenue 757
revenue value Hfl
revenue_field el
use_fixed weight 750
weight_value Kfl
weight_field 74—V K
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# 91. evaluationnode 7T/NT 4 — (§£Z):

evaluationnode FONTF ¢ —

F—H

Tans ¢« —oOHm

n_tile

Quartiles
Quintles
Deciles
Vingtiles
Percentiles
1000-tiles

cumulative

757

style

Line
Point

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

export_data 720
data_filename Y
delimiter peZll
new line 770
inc_field_names 757
inc_best line 720
inc_business_rule 757
business_rule condition XFH
plot_score_fields 70
score_fields [fieldl ... fieldN]
target_field 74—k
use_hit_condition 7o
hit_condition XFH
use_score_expression 757
score_expression peZdl
caption_auto 770

B 12 % VI7MER/ - ROTO)NT 10—
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graphboardnode 7O /X7 ¢ —

A V5 IH—K - /= RTR, B0/ — RCSESERMAD Y T 7 EELTOET. 0
(B, J—REMRLT, BEETHF—5 « 74—l RERIE, BRIV CEATES7 5

TEBRTEET, BIRLAET7 oIV RICEL TWEWY I 7OEIL. /—RiIck->THE)
MICBRIL S NET,

H: 797 4TI L TENRTONT 4 —ERELLSEE BIZAE. EART I 718 LT y_field
ZIRELESRS). 2070874 —IdEHINET,

H: UL I, SFxSFEhT7o7 1470 T 270 TEF 74—V RRH0DET, 2074 —ILR
F. BHEAZY T RTIESR—FINTWET A,

1

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")
node.setPropertyValue("x_field", "K")
node.setPropertyValue("y field", "Na")
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# 92. graphboardnode 7'T1/NT 4 —

graphboard FTI/XF ¢
- F—R TUNT 1 — OB

graph_type 2DDotplot 757 OFEEEE L ET,
3DArea

3DBar

3DDensity

3DHistogram

3DPie

3DScatterplot

Area

ArrowMap

Bar

BarCounts

BarCountsMap

BarMap

BinnedScatter

Boxplot

Bubble

ChoropTlethMeans
ChoroplethMedians
ChoropTethSums
ChoropTlethValues
ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap

PointOverlayMap
PolygonOverlayMap

Ribbon

Scatterplot

SPLOM

Surface
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7 92. graphboardnode 7'T/NT o — (FE &)

graphboard FTI/NF ¢

- F—yH TaNT 1 — D

x_field 74 —J)VF x BN AHY I\ (A—T—&E) TN %
RELET, INVTORMEATEE
ED

y field 74—V K y BN AL L (A= —&E) TN 2%
BELET., INNTOREHTEE
ER

z_field T4 =R 3R T 7O THEALET,

color field 74—V R E—h -y 7T THERALET,

size field 74— R INT) - 7oy hTHEALET.

categories_field 74 —J)VF

values_field 74— K

rows_field 74 —J)VF

columns_field 74— K

field T4 =R

start_longitude_field |7« —JL R

end_Tlongitude_field 74—V K

start_latitude field |7« —JLF

SRy TOREITHERALET,

end latitude field 74 —J)VF

data_key field 74— R IEIERYY TSTHALET,
panelrow field 75

panelcol _field pezll

animation_field 75

Tongitude field 74— R Xy T LOEETHEMALET,
Tatitude field 74 —J)VF

map_color_field 74 —IVF

histogramnode 7 0O/\F 1 —

ER

il

node = stream.create("histogram", "My node")

# "Plot" tab

node.setPropertyValue("field", "Drug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
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node.
node.
node.
node.
node.

setPropertyValue("range min", 1.0)
setPropertyValue("range_max", 100.0)
setPropertyValue("num_bins", 10)
setPropertyValue("bin_width", 10)
setPropertyValue("normalize", True)

node.setPropertyValue("separate _bands", False)

£ 93. histogramnode 7To/)NT 4 —

histogramnode 7O ¢ — F—5 Tans 1 —os]

field 74 —J)VF

color_field 74—V K

panel_field 71— K

animation_field 74—k

range_mode Automatic

UserDefined

range_min #fE

range_max Hfl

bins ByNumber

ByWidth

num_bins Kl

bin_width Hfl

normalize 770

separate_bands 720

x_label_auto 757

x_label X

y_label_auto 790

y_label JFH

use_grid 757

graph_background color EHED 7T 7%, Ot 7 aORIICHIE
NTWET,

page_background color BUD 75 7@, 20ty a ORINCHAS
NTVWET,

normal_curve 757 ERDH DN —T 2 MNCERT2NEDNEEE
L9,

multiplotnode 70O/XF 1 —

WTS57« J—FRTIE. 1 2D X 74—V RIHLTERD v 74—V REZHERT DERN
Kég& ERRENET. ¥ 74 =V RN ZOHTER SN, ThEN 25 ()] 74—V K%
— (9421012, IX BE—R] J4—I)vR%& IY—b] ITEELLEEMAXK ) — RITHSLET,
BT 5713, BROBKROLEE ZEMIChE> TRET D EEICRIBET,

il
node = stream.create("multiplot", "My node")
# "Plot" tab

node.setPropertyValue("x_field", "Age")
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node.setPropertyValue("y fields", ["Drug", "BP"])
node.setPropertyValue("panel_field", "Sex")

# "Overlay" section
node.setPropertyValue("animation_field", "")
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use overlay expr", False)
node.setPropertyValue("overlay expression", "test")
node.setPropertyValue("records_Timit", 500)
node.setPropertyValue("if over limit", "PlotSample")

7 94. multiplotnode 7 T/NT 1 —

multiplotnode FTINF ¢ — F—& R TaNT ¢ — D
x_field 74 —J)VF
y_fields UBZEN
panel field 74 —J)VF
animation_field 74— K
normalize 720
use_overlay expr 770
overlay_expression 75
records_Timit Hfe
if over_ Timit PlotBins
PlotSample
PTotAl1
x_label_auto 70
x_label &
y_label _auto 70
y_label &
use_grid 720
graph_background color BEHRED T T 761, ZOtv s a  ORIICHIAS
NTWET,
page_background color EHED T T 70, 2Oty aORYIcHAE
NTWET,

plotnode 70O/XF 1 —

WA — R T, 87« —)V FEOBERAVRSINET . EXIZ. A (@A) 7213
Zlﬁ'\ AL TIERTE XY,
1l
node = stream.create("plot", "My node")
# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("x_field", "BP")
node.setPropertyValue("y field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")
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# "Overlay" section

node.
node.
node.
node.
node.
node.
node.

setPropertyValue("color_field", "Drug")
setPropertyValue("size_field", "Age")
setPropertyValue("shape field", "")
setPropertyValue("panel field", "Sex")
setPropertyValue("animation_field", "BP")
setPropertyValue("transp field", "")
setPropertyValue("style", "Point")

# "Output" tab

node.
node.

setPropertyValue("output_mode", "File")
setPropertyValue("output format", "JPEG")

node.setPropertyValue("full_filename", "C:/temp/graph output/plot output.jpeg")

7295, plotmode 7' I/NT 4 — :

plotnode TN F ¢ — F—A FTaNT 4 —DFHEW]
x_field 71—V R x WD A% N (A—T—&E) ININVERELE
T, TN TOAEHTEEXT,
y_field T4 —=IVR y WD AL I (A= —3&E) TNV &hE L %
To INVTOBRMHTEET,
three D 777 y BIDAAY I (A=Y —5&E) INIVEHREL X
T 3D YT TDINTOREMATEET,
z field 74 —J)VF
color_field 74—V K F—=N—=LA T4 —=IVR,
size field 74 —J)VF
shape_field 74—k
panel field ORI BHTT)—END T T 7 OIERIZHET T % 4%
FLB TSR T 4=V RERELET. VT 71
bl SN, EEROZ 70 1 DOHHY
4 Y RUICERRINET,
animation_field 74— R ToA—a EFERLCERICERT S —HD Y
TIEERLTT—FEOHTI) —Z&fET 5,
HERMELTZ TSI =)V RERELET,
transp_field 71— K NTFTA) = LI 2D LX)V OB BEEMHEL
T, T—HEDOAT IV —%KT 7+ —)V REHRE
LET, iy o 7 ClIfERTEE A,
overlay_type None F—=N—L A BN FERI NS, LOESS Fig{t
Smoother MERINDZNERELET,
Function
overlay expression el overlay type 7% Function ICEREINTNDEE
sz mEL £,
style Point
Line
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# 95. plotnode 7'TO/NT 4 — (§£Z) :

plotnode FO/NXF ¢ —

F—

Tans « —0HW

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

x_mode

Sort
Overlay
AsRead

X_range_mode

Automatic
UserDefined

x_range_min KfE
X_range_max el
y_range_mode Automatic
UserDefined
y_range_min FfE
y_range_max Kl
z_range_mode Automatic
UserDefined
z_range_min Hfl
z_range_max Kl
jitter 777
records_limit KfE
if_over_limit PlotBins
PlotSample
PlotAl1
x_label_auto 70
x_label X4
y_label_auto 750
y_label &
z_label_auto 750
z_label &
use_grid 720
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# 95. plotnode 7T/NT 4 — (§£Z) :

plotnode 70X ¢ — F—& i Fans + —oOHM

graph_background = DT T 7%, ZOtr T aORYICHIE
NTWET,

page_background t EHED TS T/, Z0vr s a oREgiciis
NTWET,

use_overlay_expr 770 overlay_type OO DITFEILET NS TiE,

timeplotnode Z0/XF 1 —

B R% ) — RT, BRHNT—FD 1 DL LDy hEERLET, @%. HOICHMXS ) —
iﬁ;\ RzEMH LT TimeLabel 7 4 —I)V RZEERLET, ZD 70—V R, x @ic TNV 2T 5
—- TOITHEHEINET,

il

node = stream.create("timeplot", "My node")
node.setPropertyValue("y fields", ["sales", "men", "women"])
node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", True)
node.setPropertyValue("line", True)
node.setPropertyValue("smoother", True)
node.setPropertyValue("use records limit", True)
node.setPropertyValue("records 1imit", 2000)

# Appearance settings

node.setPropertyValue("symbol_size", 2.0)

2 96. timeplotnode 7'T/NT 1 — :

timeplotnode 70N F ¢ — F— FANT £ — DR
plot_series R
Models
use_custom_x_field 750
x_field 40—V R
y_fields list
panel 757
normalize 750
Tine 727
points 777
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# 96. timeplotmode 7'T/NT 4 — (FEZ):

timeplotnode 7TINF ¢ — F—5H Fans+ —oOHM

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother

757 panel Z True ICRELZHEICOAR, FELEH
MICEINTEET,

use_records_Timit

777

records_Timit

B

symbol_size

Hfe N—H— A XEHELET.

panel_Tayout

Horizontal
Vertical

webnode Z7O/NXF 1 —

-

1

Web 757« J—RT, BEOI>HIUE (h7TY—) 74—V ROEOBHRDRI HURS
NET, TOFV T T T HEHOBIZRIZOICIETIERIEBOMAEHINET., Web &
57« J—REFHLT, #lZIE, EIX—A - YA P THAIN/ZS T IEAHMOBGRZ
FETEET,

node = stream.create("web", "My node")

# "Plot" tab

node.setPropertyValue("use_directed web", True)
node.setPropertyValue("to_field", "Drug")
node.setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
node.setPropertyValue("from_fields", ["BP", "Cholesterol", "Sex"])
node.setPropertyValue("true_flags only", False)
node.setPropertyValue("1ine_values", "Absolute")
node.setPropertyValue("strong_links_heavier", True)

# "Options" tab

node.setPropertyValue("max_num_Tinks", 300)
node.setPropertyValue("1inks_above", 10)
node.setPropertyValue("num_Tinks", "ShowAl1")
node.setPropertyValue("discard_links_min", True)
node.setPropertyValue("1inks_min_records", 5)
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node.setPropertyValue("discard 1inks max", True)
node.setPropertyValue("weak_below", 10)
node.setPropertyValue("strong_above", 19)
node.setPropertyValue("1ink_size_continuous", True)
node.setPropertyValue("web_display", "Circular")

# 97. webnode 7/NT o —

webnode 7TI/NTF ¢ — TR TaNT 4 — DY
use_directed web 770
field list
to_field 74 —J)VF
from_fields list
true_flags_only 720
line_values Absolute
OverallPct
PctLarger
PctSmaller
strong_links_heavier 770
num_T1inks ShowMaximum
ShowLinksAbove
ShowA11
max_num_11inks HofE
Tinks_above #fE
discard_links_min 770
Tinks_min_records KfE
discard_links_max 757
Tinks_max_records #fE
weak_below piqlEl
strong_above #fl
Tink_size_continuous 757
web_display Circular
Network
Directed
gy R
graph_background color DT 7M1, 2073 ORUICHHS
NTVWET,
symbol_size gl XN—H— YA Xz EL £,

B 12 % VI7MER/ - ROTO)NT 10—
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£ 13 & EFIVER/—Fo7ansr14—

—RIEETIVERR/ — R 7aNnNT 1 —

KOTONT 4 —id, BEFZIZIARTOT—IR—Z - EFIMER— RICHBETT, HEHOETIVIER /
— RIZBELTIE, BHEIZIRCTRF2 A MAICHIMZRREHL TWET,

F 98, —MYETTIAER / — RO 7 a/NF 1 —

Tany4— ff TURF £ — DB

custom_fields 757 B (true) OHFEIT. BHEDO /) — ROy -7
v b AT, TOMT 4 —)) Rz EEIEE
THIENTEET, & (false) DIFAEIL.
EROT =B ) — R SBEDKE D
HAEnEd,

target 74—V R EFINDYATITEH>T, H—DRRT «

E/l or —IV R EZBEROHRT 4 —)V REHEE

targets [field] ... fieldN] L%,

inputs [fieldl ... fieldN] ETNTHERAINS AN ERIT T LT
14—V R,

partition 74 =R

use_partitioned data 757 X374 — IV RDNEXEINDHE, ZOF
T a iZERT—IRINEDT—F D
ANETIRBRIHEHINLHLDICLE
£

use_split_data 777

splits

[field] ... fieldN]

DEETIVERICHERT S, 74—V R%E
BINL 9. use_split_data 2% True IZ7%
EINTWLHFICOBEINTT,

use_frequency 757 FHEETIN - HIATTERTHEBD, HEH
T4 =V RBRUVERKT 4 —I)V ERED
ETFIVTHAINET,

frequency field 74 —I)VFR

use_weight 757

weight field 74 —J)VF

use_model_name a4

model name S I—HY—MEETHHHRET V4.

mode Simple (&)

Expert
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anomalydetectionnode ZO/\T 1 —

1

node

node.

node

BEERL ) — RT, TIE®ER] T O —IZEGB LIRWREr— AR UE 235 L

= stream.create("anomalydetection", "My node")
setPropertyValue("anomaly method", "PerRecords")

.setPropertyValue("percent_records", 95)
node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("peer_group_num auto", True)
setPropertyValue("min_num_peer groups", 3)
setPropertyValue("max_num _peer_groups", 10)

72 99. anomalydetectionnode 7' TI1/NT 1 —

pr.
gﬁﬁ? F9, 2D/ —RT. HMUEDREEHD/NY — U TIRESBN-720, [{ZRLTND DM
FoZED LMo/ T A58 TH. ANEE#MITEET,

anomalydetectionnode 7T1)XF 1 — i FOANT £ —D 3
inputs [field] ... fieldN] BEERHET VL, BEOANTT 4 —
NVRIZEDWTLaO—RzEA Y —2>
JUET, =7 v b 74—V Rl
FALERA. BEHT = RBIOERK
TJ4—=)VRBFEHLERTA. LI
rEw 2769 R=2 0 T—HREBRET Y
[Erk ) —Fo7anNF—ilezmL T
<IN,
mode Expert
Simple
anomaly_method IndexLevel LO—RIZRHELTIITERET S
PerRecords D, NEfEERDDDIHEHINS
NumRecords HiEEfEELET,
index_Tevel el BELLTI IV ERET D120 DE/N
NEMEZRELET.
percent_records e FEF—HYNOL I— ROEEG (%) 12H
DNWTLOA—RIT IV ERET 20
D, MfEEHRELET,
num_records ol HPRF—HHNDOL I— ROFITHE DIV T
LaA—RIZT IV &BRET L7200, B
HEHEELET,
num_fields B BFREL - RICMETSH7 4 —ILR
.
impute_missing_values 757
adjustment_coeff el PHEE O EN B S T — - T
4 =)V RHICHRE S NBEOEA DN
T UAREEDDITHHINAE,
peer_group_num_auto 770 EY - J—T78EABMICEIEL £
ER
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# 99. anomalydetectionnode 7 T/NT 4 — (FE )

anomalydetectionnode 7 T1/XF ¢ — fifi TaNT ¢ — D
min_num_peer_groups B peer_group_num auto A% True IZF%ES
NTWLHEF/IHEHEINZLEY - T)—
T ORNEEREL XTI,
max_num_per_groups B Y « =T ORRKEERELET,
num_peer_groups B peer_group_num_auto 7% False IZRYE S
NTWBEAIERINZEY - J)—
TORERELET,
noise level ot 75 ALY T HOIUE DL %
WELET. 0 5 05 £TOMEZEE
LTL7EE N,
noise ratio Hfl JAXDONy Ty TIN5 O
SAR=F L MTEIDETEND, AEY
—DREHELET., 0 "5 05 £TD
iz EL TSN,
apriorinode ZO/XF 1 —
PN Apriori /—RT. 7= 5)b—)b -ty cahithL., ERANEPRDHREL V-V E =
=) ML, Apriori 1213, 5 MO —VERAEND 0, BEESA 25 v 7 ANERIFHEE K

LT REBRT—F - Ly bR SN E T, RELBMEOHEIT. —KIT,

Apriori

DEMERITFETEET, RFTEDIN—IEICREICHIBIZH D ER A, £2. K 32 D
ARG 2/ DI — )V B TE £, Apriori Tl AN 74—V RERNTT 4 —ILRDTN
THHFTAY—THDIENMETTN, ZOFEOT—YICEbETRBLENTNDED

T, EDEWNT = AZHBILET,

1l

node = stream.create("apriori", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("partition", "Test")

# For non-transactional

node.setPropertyValue("use transactional data", False)
node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
# For transactional

node.setPropertyValue("use transactional _data", True)
node.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content_field", "Drug")

# "Model" tab

node.setPropertyValue("use model name", False)
node.setPropertyValue("model_name", "Apriori bp choles drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true flags", False)
node.setPropertyValue("optimize", "Memory")
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# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("evaluation", "ConfidenceRatio")
node.setPropertyValue("Tower_bound", 7)

2 100. apriorinode Ta/)NT 4 —

apriorinode FO/NF ¢ — i TONT £ — DB
consequents 74— R Apriori ETIVIZEHER SRR T 0 — L RBIN
ANT 4 =V RORRESRGEEMERALET, &H
HT4—IVRBROERT =)V MIIEAL £
HFh, #HL<IE FEYZ[169 X=2D T
[7ETIVER ) — ROo7a/)NF 1 —1 |5k
LTLEE 0,
antecedents [field] ... fieldN]
min_supp e
min_conf ol
max_antecedents HfE
true_flags 75
optimize Speed
Memory
use_transactional_data 757
contiguous 727
id_field e
content_field el
mode Simple (Eft)
Expert
evaluation RuleConfidence
DifferenceToPrior
ConfidenceRatio
InformationDifference
NormalizedChiSquare
Tower_bound Hfl
optimize Speed ETFIERNEEEATY —DEBHIZL DR
Memory kSN cnEEELET,
associationrulesnode Z7O/X7 1 —
7Y I—ay b=V J—RIE Apriori / — RIZITWETH, Apriori E13HEARZD, 7TV
(Ei? dI—>ar b=y J—RFUAL - FTHEUBTEET, I5IC, TV IT—rar )b
—J)l /—R% IBM SPSS Analytic Server EHITHAT 5L, Ew 77— QUM E#H R

FULEE QRN BEIC /2 D £ T
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Z 101. associationrulesnode 7'T1/NT 4 —

associationrulesnode 7 O/NF

’f—

F— s

Tans ¢ —OHM

predictions

PRI

ZDOUAXANNDET 4 =)V R, IL—ILOFHI 7
4 —IVRELTDOARFERTHIENTEET,

conditions

[fieldl...fieldN]

ZDOUARNANDET =) RiZ, V—IVDSZM&
LTOAERRTDHIENTEET,

max_rule_conditions B I DOIIV—IVIZED D EMTEDLERMEORK
o B/MEIZ 1. BKEE 9 TY,
max_rule_predictions B 1 DON—IIZED D ZEMTELFHUORA
. B/MEZ 1. RKEE 5 T,
max_num_rules B N—IVREEED—FHE L THRTIENTE L) —
IVDRKE, f/MER 1. BKfEIX 10,000 T
ER
rule criterion_top n Confidence 2 HWd 2)—IVHHE, ZORECKD, EF
Rulesupport WD ENE N DI —IVaNEIRINET,
Lift

Conditionsupport
FT7AATEUT 4 —

true_flags

Boolean

IN%E Y IIRETHE. IV—IVDORERZ, true
DEEFHEDTTT T 4 =)V RIEZTHLIE 51T
RO ET,

rule_criterion

IN%E Y TRETDHE, EFTIORERIZ, L
— IV HEDMEZHEH L TOL—ILDRAA T NnET,

min_confidence

0.1 75 100: EFIVICK o TERSNZIL—IL
DWW THRKRAESHEEEL )LD/ —2 2
i, TTTHEINLMEEID BENEEEL X)L
2RI —IVINETIVIC X > TERSNZHE.
ZDI— VIS NET,

min_rule_support

0.1 5 100: EF)VIick > THERENZIL—Ib
I DOWTHRRRNERIL—)L R—kD/S—1
> Ml, ZZTHRESINMED BHEKVIL—)IL
HAR—F LR ZFEDII—INETIICES T
RS NZHE, ZON—IVIdEINET,

min_condition_support

0.1 75 100: EFIC K> ThERENZIL—IL
DWW TRIKBRSBEREETR— D)=t >
i, TZTREINZMED BHENEETRE—
LRV EFFDII—IVINETIVIC X > TER SN
BE, 2o —IVdEEs £,

min_lift

o4

1 225 10 TRV E > TERESNZIL—IVIZD
WTREBRSR SR 7 b LRIVEELET, &
CTHESNZMELDBENY 7 K L)L 2H
DN —INRETFIIZE > TERENEZHE, D
N—IVIEINET,
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# 101. associationrulesnode 7'T/NT 1 — ()

associationrulesnode 7O/ F

Conditionsupport
F7aA47EY T4 —

®1— F—A8 TanNT 1+ — O]
exclude rules Boolean Zo7anNT 4 —&FHLT. ETIICLDIN—
IVOERITEE U THEALRWEEEY ¢+ —)L RO
AFZERL £,
f: set :gsarsnode.exclude_rules = [[[field],field2,
field3]1.[[field4, field51]] - [1 WIZHEESN/Z 7 «
=V EDQU AR, T—TIHNOETITRD E
EB
num_bins B HEM T — IV ROE > HEELEBLHEIE> O
Baeelxd. R/MED 20 &RE 10 T
EDS
max_list_length B BRAEDARHLZTRTOY XN 74 —)V RIZHE
HAENET, ZITHESNEZ EREL T,
UZANHNOERNET IV ORETHHINET,
CCTHRESNIEHZBALERIIONTEL, T
NTBEESINETT, m/MER 1. BAMEIZ 100
‘—6‘3—0
output_confidence Boolean
output_rule_support Boolean
output_lift Boolean
output_condition_support Boolean
output_deployability Boolean
rules_to_display upto T —TINCEREIND I —IL DERRE.
all
display_upto B rules_to display T upto Zf%E L7=BEEIT.
T —TIVCERINDIN—INVORZERELE
9. m/MEI 1 TY.
field_transformations Boolean
records_summary Boolean
rule_statistics Boolean
most_frequent_values Boolean
most_frequent fields Boolean
word_cloud Boolean
word_cloud_sort Confidence
Rulesupport
Lift

word_cloud_display

B

/MBS 1. FKMEIE 20 TY,

max_predictions

B

AATIHTEEANTHHATEZLIL—ILDORK
.
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# 101. associationrulesnode 7'T1/NT 1 — ()

associationrulesnode 7O/ F

4 — F—& 1 Tans 1+ —0OHM

criterion Confidence W=V DFREZHWT B/ D REZRINL £
Rulesupport kP
Lift

Conditionsupport
F7AATEUT 4 —

allow_repeats

Boolean FICFHEREDIIN—ILEZAIATHNIZEDBMNED
MERELET,

check_input

NoPredictions
Predictions
NoCheck

autoclassifiernode Z7O/NF 1« —

HENDHE / — Rid, 2fEEOKER (yesmo. churn/don't churn 72&) 24 U354 < DR ET

\

f’_/\
nc_%; NEERBECHEL. BADSNEMFADREDT TO—FFRRT ENTESESITARD

£9. ZLKOETIUERT IV TY ZLITHIG L. FEITDHE. EREOT T a>, LT
FRZEHE T D20 DHEERINT LI ENTEXT., 2O/ —RT, fFESNLEAF T a >
WKHEDWTET IOy bAEREN, HESNEETE DN TREOBMN T > 71T S

NE9,

1l

node = stream.create("autoclassifier", "My node")
node.setPropertyValue("ranking_measure", "Accuracy")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_accuracy Timit", True)
node.setPropertyValue("accuracy limit", 0.9)
node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("use_costs", True)
node.setPropertyValue("svm", False)

£ 102. autoclassifiernode Ta)NT 4 —

autoclassifiernode 7O/ F 1 — fifi TONT ¢ —D B
target 74—V R 75 EBOSE. HEIE S — R
W1 DOMRET 4=V RBXU 1 D
PEDOAN 74—V REHEMALET,
BAHT 4=V RBLOERT +—ILR
BIEETHIENTEET, FFL<
W FEv 7169 R=T D T—iRH7]
FEsVEk ) —Ro7a/)x5 4 —1 |&
ZHLTZI N,
ranking_measure Accuracy
Area_under_curve
FlZE
Lift
Num_variables
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# 102. autoclassifiernode 7' O/NT 4 — (FE ) :

autoclassifiernode 7 O/NF ¢ — fifi TOaNnNT 1 — O
ranking_dataset Training
Test

number_of_models B ETI - FTY MIEENSETINO
B. 1 & 1000MOBEZEE L X
EB

calculate_variable_importance 770

enable_accuracy limit 770

accuracy limit B 0 & 100 DHEDEHTT,

enable_ area_under_curve _limit a4

area_under_curve_Tlimit HtE 0.0 & 1.0 OEDEE.,

enable profit limit a4

profit_Timit e 1 DL,

enable 1ift limit a4

Tift_limit HotE 1.0 22 5EK,

enable number of variables limit a4

number_of variables_limit il 1 LA Eo%EEL,

use_fixed cost a4

fixed_cost Xl 0.0 ZHZ 2FEH.

variable _cost 74—V F

use_fixed_revenue 757

fixed_revenue Hfl 0.0 ZHZ %FH.

variable_revenue 71—V K

use_fixed weight a4

fixed_weight poqlE] 0.0 ZHA%FH.

variable weight 74—V F

1ift_percentile Xl 0 & 100 DHEDEHTT,

enable model build time Timit a4

model_build_time_limit poqE] fHx DETINDZENENERBET D7
OITININ B I Z HIRR S % 720120 8
ERET DR

enable_stop_after_time_limit 777

stop_after time limit ot H B O FAT D 7= O 2Rk R
Z IR % 7= IR 2 3E T 2 H
B

enable_stop_after_valid_model_produced 770

use_costs a4

<algorithm> 757 BEOT7INIU ZLOEHOER), &
NEYPOEZET,

<algorithm>.<property> XFH BEOTNIUXLDTTONT 4 — 1l

ERELERT, #HLE bEYY

(77 X=2D TV TY XL - 70N

1 —oF&El Rl Tz,
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ZIWITV XA - 7ANT 4 —DHRE

HEpHE/ — R, BEE / — R, B8V 925 — -+ J—RIZDOWTId, /— R0 THR/ED 7)Y
ZLDOTONT 4 —d, RO—RERZEZHHL THRETEET,
autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)

AR icHl 2Rl £9,

node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

HEDME// — RO7)I)ILTU XL%413. cart. chaid. quest. c50. logreg. decisionlist. bayesnet.,
discriminant. svm BX knn TT,

HEEE / — RO7)I)L3U X L4413, cart. chaid. neuralnetwork. genlin., svm. regression. linear ¥
XN knn T,

HE 925 — -+ J—RO7)V3aY X L%41E. twostep. k-means. BE N kohonen T,
TanT 4 =4 E7IVTY XL — ROEDIILE SN TN LEETT,

BUF RaEoMgEmE2a0 7 I)LaY XL - 787 4 —d, ROXDIC—FEFIARFTHOLENH D £
—d_o

node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")

ROEIIT, BEOMEZTONT 4 —ICHDETHIEHTEET,
node.setKeyedPropertyValue("decisionlist", "search_direction", ["Up", "Down"])

RKEDOTIVIU XLDOHEROER), WRZTDEZ5I121E. ROKXIICLET,
node.setPropertyValue("chaid", True)

H: HEIDHE/ —RTREDT7IVIY XL « AT a oMERTRE TR WES., £-MEOHFE Tl <,

| DOMERZFEZIRETE S EEE. BEOHET/ — R VAT HEEERUHIREA. A7 U7 HMCH
HWHENET,

autoclusternode 70O/NF 1 —

PN HEIZ 9 A5 —+ /—RiE, FARORKEZHOL I—ROT I —T2#ETEH 5250 >
\ é:) ' 7 ®TINEMEL, HELET. /— REBMOBEILEETIIAER/ — FERC XD ICEME
‘ L. BROMAEDEDF T a P 2H—DETIUEROFETTHRIAETEET. ETIVE. 7

TR = BTINVOFEAME T4 IINE U 2T BROT DI T T AR ZEH L T
WL, REDT 4 =)V ROEEEICE DN TREZ ML T,

Bl

node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking measure", "Silhouette")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_silhouette_Timit", True)
node.setPropertyValue("silhouette Timit", 5)
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# 103. autoclusternode 7'T1/NT 1 —

autoclusternode FO/)NF 1 —

Tans « —o#HM

evaluation

a2

DA, BEEEOEEFE TS T —ILR
ZHILET., £ ENFEF IS —
INT 4 =)V ROEZEXRIT B0, ENEZT
EREICETNNIDT 4 =)V RE2FHET B
MNEHNT DI HATHIENTEE
ER

ranking_measure

SiThouette
Num_clusters
Size_smallest_cluster
Size_largest_cluster
Smallest_to_Tlargest

Importance
ranking_dataset Training
Test
summary Timit 2 LR=MC—ETHETINOR. 1 & 100
DO DELZRELET.
enable_silhouette Timit 770
silhouette Tlimit B 0 & 100 OREIDOEHKTT,
enable_number less limit 770
number_Tess_Timit HfE 0.0 & 1.0 DHIDEEK,
enable_number_greater_ limit 777
number greater limit Kotl 1 LA EDEEEL
enable_smallest cluster limit a4
smallest_cluster_units Percentage
Counts
smallest cluster limit percentage | £ f&
smallest cluster limit_count =i 1 LA D,
enable largest cluster limit a4
largest_cluster_units Percentage
Counts
Targest_cluster limit_percentage | £(f&
Targest_cluster Timit_count B
enable smallest largest limit a4
smallest_largest limit HofE
enable_importance_limit a4
importance_limit_condition Greater_than
Less_than
importance_1imit_greater than KAl 0 & 100 OREIDOEHKTT,
importance_limit_less_than Hofli 0 & 100 DEDEHTT,
<algorithm> 750 BEDOT I I XLAOHEHOER, EXHE

YOBAET,
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2 103. autoclusternode 7°T/NT 4 — (¥ )

autoclusternode FO/NF ¢ — fifi TOaNnF ¢ —DFH
<algorithm>.<property> pe2l BeEo7 )T X LOT0/8T 4+ —lER
FLET, #EL<IE FEw 177 XK=
[ T7)IVTU XL - T O)NT 4 —D%ED |
EHMLUTLZIN,

autonumericnode 7O/XF 1 —

/“\.\1 HEEE / — RTlE. <O FIFhahikzaMAL. #d 2 RMEEHOMEREEZ RO TET

> 4 WEHELRBELEYS., 20/ — N3 A8E/ — REFRUHETHEL. | BOETIVE

‘—" RDNAT, BEOMAGOREOA T a  2HHLRTTINTY XLZRIRTEZENTE
F9, FHTEL7INTY LT, Za—F)b - Fv NJ—2, C&R Tree. CHAID, ##%[A|
I, —A(ERRREE, BR—b - R KL -T2 (SVM) BEENTWET, TFIUE. H
B, MM T —., FRIEIEAINZEROBICHE ONWTHETEET,

il

node = stream.create("autonumeric", "My node")
node.setPropertyValue("ranking measure", "Correlation")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_correlation_Timit", True)
node.setPropertyValue("correlation_Timit", 0.8)
node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("neuralnetwork", True)
node.setPropertyValue("chaid", False)

% 104. autonumericnode 7/NT o —

autonumericnode J'TI/XF -t — fifi FOANT £ —D 3

custom_fields 757 H (True) DHE, T—F R ) — REEDR
DOITAHAY I+ T4 =) RERENHH S
NnE9,

target 74 —JV R BEEE/ — Rz 1 D2Od% 7+ —IL RSB

L1 DB EOANT T 4=V REMHEHL X
T, EAT I RBIUOEK 7 +—IL R
BIRETHIENTEET., #F#LLIE b
w7169 R=2 0 TR ETIVIER]
[/ —Ro7o/NT 1 —) BRI TES

W,

inputs [fieldl ... field2]

partition 74— R

use_frequency 757

frequency field 74—V KR

use_weight 750

weight field 74— K

use_partitioned data 757 T KT 4 =) RPERINTNDE
B FET I EIFNETIVOREGEITHEH
INET.
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£ 104. autonumericnode 7°C1/NT 4 — (B E)

autonumericnode FTINTF 4 — il Tans 1+ —0HM
ranking_measure Correlation
NumberOfFields
ranking_dataset Test
Training
number_of models B TN - FTY MCEENDET IO 1
& 100D OBKZFEL T,
calculate variable_importance 727
enable_correlation_limit 770
correlation_limit B
enable_number_of_fields_limit 777
number of fields Timit B
enable_relative_error_Timit 777
relative_error_limit B
enable_model_build_time_limit 777
model build_time Timit Fiisg
enable_stop_after_time_Timit 757
stop_after_time limit B
stop_if_valid_model 757
<algorithm> 757 BEOT7INIUXLOHHEOER). &)z
YoFEAET,
<algorithm>.<property> e BEO7 I IV XLDTO)NT 4 —li %%
ELEYT. #L<id. hEw 177 X=3
[0 T7IVTU XL - TONRT 4 —DFE |
EHRLTLIZE N,
bayesnetnode 7 O/\F 1 —
RAX - Fy bT—=7 - J—REFEHTS &, BRIESNZERB X ORER SN ERE EBRO
(i) HBZEMAEDED LK > THREETIVEERL, BREOLEZMBLTEET., /— i

Il S5 Tree Augmented Naive Bayes (TAN) B3 XX Markov Blanket % K7
—JICERZELETTNET,

1

node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing_model", True)
node.setPropertyValue("structure_type", "MarkovBlanket")
node.setPropertyValue("use feature selection", True)

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("independence", "Pearson")

180 1BM SPSS Modeler 17.1 Python A7) 7T h&F—h A= 3> « HA R



72 105. bayesnetnode 711/NT A —

bayesnetnode JLI/NF ¢ —

i

Tans 1« —0HW

inputs

[field] ... fieldN]

NARX+Fy hT—=2 « EF)VIFH—D
RRET7 4 —IVRBXNYN 1 DL EDODAST
4=V REFALET, #HEET 1 —ILR
FEESMICEIENET, FLIE b
Yy 7169 R=> 0 T—RE7ZE T IV
[/ —Ro7o/)NF 41— [g5RLT<
7ZE 0,

continue_training_existing_model 720
structure_type TAN Bayesian v b — 77 Z RSN IZ {9
MarkovBlanket LG Z ERL £,
use_feature selection a4
parameter_learning_method Likelihood HOMENR# NG/ — REDOF&MAAE
Bayes WRT—T I EWET H7DICHNDSH
FEEEELET,
mode Expert
Simple
missing_values 757
all _probabilities a4
independence Likelihood 2 DOEKDXRY QBN B NITHAT
Pearson LTWBENESNEFHIET 272D A
LHBEERELET,
significance_level KfE ST 2 HIWS B 72D Do EIfE 2 E L
£,
maximal_conditioning_set #fl NI HERUE I 3 2 SRS B D BB

ZHEELXT.

inputs_always_selected

[field] ... fieldN]

RA R« Fw NT—=IBEFICT—F
W RDEDT 4 =)V REFIZHERT D)
ZHEELET,

Er oWNRT IV R TRIRSNE
ER

maximum_number_inputs HfE RAL -3y NT—UBETHEAT S A
N7 4=V ROBRAREEEEL T,

calculate_variable_importance 75

calculate_raw_propensities 720

calculate_adjusted propensities 75

adjusted_propensity partition Test

Validation

buildr Z70O/NXTF 1 —

R

R WL ) — K295 &, IBM SPSS Modeler IZJERH &
NTWBETIMERBIRETIV « 237 27 2ETT
B1200DHAZT LD R A7) T hEANTEET,
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il

node = stream.create("buildr", "My node")

node.setPropertyValue("score syntax",
result<-predict(modelerModel,newdata=modelerData)

modelerData<-cbind(modelerData,result)
varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure="",

fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

£ 106. buildr 7°0/NT 4 —:

buildr JONF ¢ — il TUNT 1+ —DFH
build_syntax Y ETIERHDO R A7V T K- 25v 7
Ao
score_syntax NFH TN AaAT7YITHD R AU T -
T A,
convert_flags StringsAndDoubles TIUMT 4 =) REEET 720D FT
LogicalValues T,
convert_datetime 757 HABAE LB R LI OL % R
OB RICERT 52004 T a
o
convert_datetime_class POSIXct HAERE I BRI RO D S
POSIXTt 5. EORKXOEEKEEWT DN EfRET
LE0DF T a .
convert_missing 757 RiEfEZ R O NA EICEMT 2720DF 7
>3z,
output_html 24 R BT - F7 Y MDY TIZT T 7 %FEKNR
T2DOEFTa,
output_text 777 R EFI)N - F7y h@OFTIZT R a2V —)
DTFFANAEEZADZDOL T T 3
>o
c50node 7O/XF 1 —
C5.0 /—Rid T4 Yar V=&)L=l -ty hOEEONEHELET, ZOTTIV
3, BELNVTRROBEROMGZEHTZ5T T 4 =)V RIZEDWTH > TV EnEIL £, *t
34 %74V RIE. H5TU—TARFUEED £ A, BROAEE 2 SBEOYT 7L —TIC

NETEET,

il

node = stream.create("c50", "My node")

# "Model" tab

node.setPropertyValue("use model name", False)
node.setPropertyValue("model_name", "C5 Drug")

node.setPropertyValue("use_partitioned data", True)
node.setPropertyValue("output_type", "DecisionTree")

node.setPropertyValue("use xval", True)
node.setPropertyValue("xval num_folds", 3)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child_records", 3)
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# "Costs" tab

node.setPropertyValue("use_costs", True)
node.setPropertyValue("costs", [["drugA", "drugX", 211)

#107. ¢50node 7 /NT A —

c50node 7OI/XTF 1 — fiid TaNT 4 — D
target 74—V R C50 ETIIEH—~DO/RET  — IV RBXW
1 DUEDANT 4 =V RZ/HHLXT,
BHHAT 4=V RBI/ETEET. FEL<
3. FEw 7169 XR=2 D T—REHZET
PUIERL / — RO 7 0/)NT 4 —) BB L T
&N,
output_type DecisionTree
RuTleSet
group_symbolics 777
use_boost 770
boost_num_trials e
use_xval 757
xval_num_folds Bl
mode Simple
Expert
favor Accuracy S (Accuracy) E2IE—ME (Generality)
Generality %R,
expected noise Bt
min_child_records KAl
pruning_severity Bt
use_costs a4
costs HEk sl SNz 7087 1 — T,
use_winnowing 770
use_global pruning 750 F 74 )V R TIEA > (True).
calculate_variable_importance 777
calculate raw_propensities 757
calculate_adjusted_propensities 770
adjusted_propensity partition Test
Validation

carmanode ZOA/NF 1 —

CARMA EFI)IE. ANERRIHSET 4 =V RERELABLTH, T—F05)—IlDOty K
ZHIHUET. Apriori SIIHIEMIC. CARMA /— RTIX. mifESBGY R — M2 Tidi<,
—=)b « BAR— b (AN EHBROM DY ER— ) ZXHRE LBEROBRENTEETT,
IR, EREINIEN =N EIEIFERT7 TS —2a > THRATESL ZE2ERLET., #l
ZIE. ZORES — X IR T ATHE AR ET S, EMERITY—EX @RS
DYARNERHRDZENTEET,
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il

node

= stream.create("carma", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("use transactional data", True)

node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])

node.

setPropertyValue("partition", "Test")

# "Model" tab

node.
node.
node.
node.
node.
node.

setPropertyValue("use _model name", False)
setPropertyValue("model_name", "age bp_drug")
setPropertyValue("use_partitioned data", False)

setPropertyValue("min_supp", 10.0)
setPropertyValue("min_conf", 30.0)
setPropertyValue("max_size", 5)

# Expert Options

node

node

.setPropertyValue("mode", "Expert")
node.
node.
node.
node.

setPropertyValue("use_pruning", True)
setPropertyValue("pruning value", 300)
setPropertyValue("vary support", True)

setPropertyValue("estimated transactions", 30)
.setPropertyValue("rules_without_antecedents", True)

K 108. carmanode 7°'O/NT 4 —

carmanode O ¢ —

fifi

TaNT £ —DFH

inputs [fieldl ... fieldn] CARMA EFINIMKRT ¢+ —)V BT,
ANT 4=V ROUZNZEHEHALET, &
AT A=)V RBIOERT « —) BidfEH
LEtA, #L<LIE. hEv o[ X=7
(D T W72 ETIER / — FO 7 0/5 7]
[(—iEsmL Tz,

id_field 74—V R ETIAERD ID 74—V RELUTHMT
274—J)V R,

contiguous 777 ID 74 —)VR® ID NEifHT 2NEDINnE
fEELET,

use_transactional_data 770

content_field 74 —J)VF

min_supp fg (/N—t> k) AR (YR — b)) TidR<, =L
HPHICBEL 9, T 74 )V MER 20% T
ED
min_conf Ml (/N—tE> k) T 7 4 ) M#Z 20% T,
max_size HofE T 74 )V ME 10 T,
mode Simple T 74 )V NI Simple TT,
Expert
exclude multiple 757 BEHOBREF DI —INERILET, 7
7 #)J)V biF False TY,
use_pruning 720 774 )V M3 False TT,
pruning_value e F7 4 )V M3 500 TY,
vary_support 7750
estimated_transactions B
rules_without_antecedents 770
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cartnode ZA/NNT 1 —

N C&R Tree (FEEEIFY Y —) /J— R, T4 Var - vU—24EKL. FROBHEZT
?EF: HEZIDETELELIICLET., ZOHETHRBNAT—YROZFEALTHEFE L I—-R%
w— BROET AL MTHEIL, £ATy T TRMEER/NRICMAET, YU—D/ — R T§

Pl THDEEZLENDDIE. /—RHPIZH D7 —AD 100% B, FET 4+ —IV ROD DEE
DHTAY —IZHEINDILEETT. MET 4 —IVRBLOAN T ¢ —IV Rid. BUEHIFE £ 7=
W3hTFaI)— (BER, EFEL 750 BMEATEET, IXRTONET 2 5ETT 2 D
DY T T IN—TDH),

1

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tab

node.setPropertyValue("custom _fields", True)

node.setPropertyValue("target",

IIDY‘ugII)

node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])
# "Build Options" tab, "Objective" panel
node.setPropertyValue("model_output_type", "InteractiveBuilder")

node.setPropertyValue("use_tree_directives", True)

node.setPropertyValue("tree directives", """Grow Node Index 0 Children 1 2
Grow Node Index 2 Children 3 4""")

# "Build Options" tab, "Basics" panel
node.setPropertyValue("prune_tree", False)
node.setPropertyValue("use_std err_rule", True)
node.setPropertyValue("std_err multiplier", 3.0)
node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use_percentage", True)

node.setPropertyValue("min_parent_records_pc", 5)

node.setPropertyValue("min_child_records_pc", 3)
# "Build Options" tab, "Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)

node.setPropertyValue("impurity_measure", "Twoing")

# "Model Options" tab

node.setPropertyValue("use_model name", True)
node.setPropertyValue("model_name", "Cart Drug")

# 109. cartnode 7'T/NT 4 —

cartnode FT/NF ¢ — i FONT 1 — D3]
target 74—V C&R Tree ETIVIE 1 DOMHRT 4 —)L R
BRO 1 DBUEOAT T4 =V RZHEAL
F9, BT —IVRBIEETEET., #
LiE. hEwZ[69 R=D TRy 73)
[ETIVIER/ — RO T /8T — [&5HR
LTS,
continue_training_existing_model | 7772
objective Standard psm IZIEHICKENWT—F Y MIHEAS
Boosting 1. Server OIEHNMLETT,
Bagging
psm
model_output_type Single
InteractiveBuilder
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2 109. cartnode 7EO/NT 4 — (FiZ)

cartnode FO/XF ¢ — fifi TaNF 4 —OFW
use_tree directives a4
tree_directives pe V) —DREDEDDOT 4 LI T 4T ()
ERELET. T4 L7747 ) B &
TR O I AT — T Z kY % 7z
WIZ, ZHOFIA/FTHOZENTERX
T TALIT4TR TFRETIY
ST F T a OIS EEIKE T B
7=, MoTF—% 1y ML TIE—#1k
TEFEH A,
use_max_depth Default
Custom
max_depth B RV —ES 0 15
1000), use_max_depth = Custom DHFFITD
AMEALET,
prune_tree 777 F—=N—T 4w Lk DITVY—%5
ELET,
use_std_err 720 UAZ BT DRKRZE RS Z2HHL
ESJCIN
std_err multiplier HfiE R,
max_surrogates Hofl SN
use_percentage 770
min_parent_records_pc oAl
min_child_records_pc b ¢l
min_parent_records_abs KAl
min_child_records_abs Kete
use_costs a4
costs v Sy (a &L 7 ONT 4 —,
priors Data
Equal
Custom
custom_priors Wk S 7 085 —,
adjust_priors 757
trails Ml T—=ZAMERBNTOaR—%2 k- E
TV
set_ensemble_method Voting N3 =R RDT 7 )b MEG I —
HighestProbability o

HighestMeanProbability

range_ensemble method Mean HRRASGROT 7 )V MGG IV — )V,
Median
large_boost 770 KICKRERT Ly FNOT—AT 4 27
AL ET.
min_impurity HofiE

186 1BM SPSS Modeler 17.1 Python A7) 7 h&F—h A= 3> « HA R




# 109. cartnode 7'O/NT 1 — ()

cartnode 7O/NF ¢ — fiei TONT 4 — DN
impurity_measure Gini

Twoing

Ordered
train_pct Al F—=N—="T 1 v bBilkty b,
set_random_seed 757 WMREBBEA a2,
seed Hofie
calculate_variable_importance 770
calculate raw_propensities a4
calculate_adjusted_propensities 770
adjusted_propensity partition Test

Validation

chaidnode 70O/NF 1 —

ﬁ?ﬁi‘* CHAID /—Ri35Ts>Var - wvU—&4&RL. h1 FHRaHEZER L TR0 8 %8

S MLUET, C&R VU —BKW QUEST /— R &i#ES T, CHAID (&, 3 2 Iy V) —Z LRk
TEFET., UL, BBDEN 3 FHLUEDT I FEEODIEEERLET, HRT7 4+ —ILR
BEOAN T 4 —)V BT, B Ei) £330 573 — &7 0 £, Exhaustive
CHAID 3 CHAID DEIEMT, "JREMHEDH 2 RET R TEFARD I E T, D IWERESE
SNETN, FHEMRMSE RV ET,

1

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("chaid", "My node", 200, 100)
stream.link(filenode, node)

node.setPropertyValue("custom _fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "CHAID")
node.setPropertyValue("method", "Chaid")
node.setPropertyValue("model _output_type", "InteractiveBuilder")
node.setPropertyValue("use tree directives", True)
node.setPropertyValue("tree directives", "Test")
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("merge_alpha", 0.04)
node.setPropertyValue("chi_square", "Pearson")
node.setPropertyValue("use percentage", False)
node.setPropertyValue("min_parent records_abs", 40)
node.setPropertyValue("min_child records_abs", 30)
node.setPropertyValue("epsilon", 0.003)
node.setPropertyValue("max_iterations", 75)
node.setPropertyValue("split_merged categories", True)
node.setPropertyValue("bonferroni_adjustment", True)
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# 110. chaidnode 7'0/NT 1 —

chaidnode 7'T/NF ¢ — fifi TaNT 4 — OB
target 74— K CHAID EFIVIZHE—DOMET 1 —IL RBX
N1 DUEDOAN T4 — IV REMEHL %
T ERT -V RBIFETEET, L
<. FEw 69 R=2 D T—Ri73TE|
ek —Fo7o/)F 1 —1 |5l L
TLEE N,
continue_training _existing model |77
objective Standard psm ZIEHICKENT—F Y MIHA S
Boosting 1. Server DIEHNHLETT,
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives 757
tree directives Y
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth B BRAYVU—HES 0 M5
1000), use_max_depth = Custom DHFAEITD
AEHLET,
use_percentage 770
min_parent_records_pc oAl
min_child_records_pc Ketd
min_parent_records_abs KAl
min_child_records_abs Ketl
use_costs a4
costs v Sy (a &L 7O T 4 —,
trails oAl T—=ARNFREINT O HR—F 2 - E
TV
set_ensemble_method Voting AT I —BJEDT T )V MEE I —
HighestProbability 2

HighestMeanProbability

range_ensemble method Mean A ROT 7 4 )V MEEIV— )V,
Median

Targe_boost 757 FRICRERT Iy bDT—AT 1 27
ZHEAL XTI,

split_alpha e AEN OB AL

merge_alpha ol TE G DA EKYE,

bonferroni_adjustment 757 Bonferroni XAV w RZEHH L THEMREZ
R,

split_merged categories 727 =YL hTaU -0 E EH],
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Z 110. chaidnode 7'/NT 1 — (&)

chaidnode 701X ¢ — fiti TunT 1 — O

chi_square Pearson A 2 AT DO FEICHEASND %
LR (Pearson F /=13 LL)

epsilon B Hrrs Nz IV EROR/NE L,

max_iterations HfiE IR D 728 DK AE R

set_random_seed B

seed Ktg

calculate_variable_importance 770

calculate_raw_propensities 770

calculate adjusted propensities | 7772

adjusted_propensity partition Test
Validation

maximum_number_of _models B

coxregnode ZO/NF 1 —

Cox H/— REMATZE. THH0DLI1— ROHEF TR FETOREOT— 5 Ok
e BEFNEBELET, XL HBOA R FRANLEOEEOETEEOER (1) 1
= T DR E TR S AR L £,

il

node = stream.create("coxreg", "My node")
node.setPropertyValue("survival time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal criterion", "Conditional")
node.setPropertyValue("survival", True)

# 111. coxregnode 7°11/NT 1 —

coxregnode FTI/NT o — fili FTans 1 —oW

survival_time 4=V R Cox[ElfFET VT £FEREDOHZ 1 DD
T4 —=IVREHEHLET,

target T4 =R Cox FHIFRETIVE 1 DOMET 4 —IL R

BEY 1 DULEDOATI 74—V RZfH
LET, #L<E. by ries =3
DO T—RNZETIER/ — RO 70N
T4 —IJEBRL TN,

method Enter
Stepwise
BackwardsStepwise
groups 74— R
model_type MainEffects
Custom
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# 111. coxregnode 7'T/NT o — (¥EZ)

coxregnode JOINF £ — i FaANT £ — D]
custom_terms ["BP*Sex" "BP*Age"]
mode Expert

Simple
max_iterations Hfl
p_converge 1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

0
p_converge 1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

0
1_converge 1.0E-1

1.0E-2

1.0E-3

1.0E-4

1.0E-5

0
removal_criterion LR

Wald

ST E
probability_entry Hofig
probability_ removal KAl
output_display EachStep

LastStep
ci_enable 720
ci_value 90

95

99
correlation a4
display baseline a4
survival a4
hazard 720
Tog_minus_log 770
one_minus_survival 720
separate Tine 74—V K
value BlER £7213 375 7 4 =)V BITk U TIE D E 720

B, TIAINE AT a>dD Mean)
EZDT7 4=V RTHALET,
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decisionlistnode Z7O/\57 1 —

@

1

To4rYar-UAN-J—RiE BERCHEETS 52512 2 HOBREOEND L <I3K
WREZRTH TN —TERITET AL NEFENLUET, Hl2IX BEN2REEO DN
LLIEF v > R—= VI BEMNICEZ DR O D DB ERT ZENTEET, HEER D 2B
MU, $ERZLKT2-DICMOETINELRTERTSEZEICES T, EDRAICET 54
HEETIVICEATEIENTEET, T4Yar - UXAb - EFIWL IL—ILDU A h
SHEREN. S =N EEENGENT T, IL—IVIZIERICEH SN, —FT 2R
DI—IVT, ERMREDET,

node = stream.create("decisionlist", "My node")
node.setPropertyValue("search _direction", "Down")
node.setPropertyValue("target _value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group size pct", 15)

# 112, decisionlistnode 7" /NT 4 —
decisionlistnode OINT 1 — fiii TNy —0HM
target 74—V R FT4¥ar - UAM-ETIIE 1 DOR
574 =)V RBEXY 1 DUEDOANT 1 —
IWRZHALERT. EET =)V RBIEE
TEET, #FL<IE. FEvZ[leo =2
DO T RRETIER / — RO 7 0/NF|
11 EZRLTLEE N,
model_output_type Model
InteractiveBuilder
search_direction Up T AL FORRICBEHL £, Up 1. &
Down WHER DOMER, Down [TEWFER DMK &
FLCTY,
target_value X4 HELRBRWERIE, 777 IT3EOMAE
EINET,
max_rules B BOERNT 21207 A2 ORI
min_group_size B BN A B X
min_group_size pct Hofl BN A 4L S—k>hEL
T)o
confidence Tevel Al T A MERITENT 201253 DL
LT 5D, WEOLEZMET 520
AN T 4 =)V RIFFDiR/NL & W E,
max_segments_per rule B
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count Kete
max_models_per_cycle B U 2 ks ORI,
max_rules_per cycle =K T A V=)L OHRRIE,

%13 & EFIER/ —Rodanse— 191



Z 112. decisionlistnode 7'O/NT 4 — (R &)

decisionlistnode 7'T/XF 1 — il Tans 1+ —0HM
segment_growth Bl
include_missing 770
final_results_only 770
reuse_fields 770 B OV—IVICERSNDBEAT T4 =L )
OFHEHZHFTLET,
max_alternatives B
calculate raw_propensities 777
calculate_adjusted_propensities 770
adjusted_propensity partition Test
Validation
discriminantnode ZO/XF 1 —
HHIDHTICE > T, O AT 4 vV ERBR DB RIEHET TSI ENTEEITN, INsD
@ AN —H L7256, O AT 4 v ZERSITICHT 284 5 H 2 WITHRIT/RD £9,

il

node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("method", "Stepwise")

Z 113. discriminantnode 7 0/NT o —

discriminantnode 7'T/XF ¢ — il TanF 1 —OFW]
target 74—V R HIBAHT ETITHE —DOHRRT ¢ — IV RB
KO 1 DUEDANT T4 =)V RZEHHL X
o BHAT 4 —IVRBROERT ¢ —IL K
EERLERA, FLIE FEv 7169
R—2 ) T2 ET)ER / — RD 7|
BT/ —1 EBRLTIEE 0,
method Enter
Stepwise
mode Simple
Expert
prior_probabilities Al1Equal
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
means 757 (RERNH ) 78 s - Ry 7 208G
FTrar
univariate_anovas 757
box_m a4
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Z 113. discriminantmode 7O/NT 1 — (&)

discriminantnode J'T/XF 1 — fil TanTF 4 —DHM
within_group_covariance 770
within_groups_correlation 4
separate_groups_covariance 770
total_covariance 770
fishers 770
unstandardized a4
casewise_results 770 [FEM ) #1707 - Ry U7 ADkE
FTar

Timit_to_first Al 77 4V M#ld 10 TY,
summary_table 777
Teave_one_classification 770
combined_groups 757
separate_groups_covariance 757 TIW—TWBITHA T a >
territorial_map 777
combined_groups 777 WATIN—TBAARA T2 a >
separate_groups 757 TIW—THEARA T a >
summary_of_steps 727
F pairwise 770
stepwise_method WiTksLambda

UnexplainedVariance

MahalanobisDistance

SmallestF

RaosV
V_to_enter Bl
criteria UseValue

UseProbability
F value entry Bt T 74 )V ML 3.84 TT,
F_value_removal HfiE 77 4 )V M#EX 271 TY.
probability_entry Al 77 4V Mi#ld 005 TT,
probability_removal Hfit 7 7 4 )V M#EX 0.10 TT.
calculate variable_importance a4
calculate_raw_propensities 770
calculate_adjusted_propensities a4
adjusted_propensity partition Test

Validation
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factornode 7A/NT 1 —

o BT/ — RIC, 75 Ot BT 58057 — ¥ MRTEN 2 BESHD ET, ¥
e BT (PCA) © AT1T 4 — )b KOREREMRI S NET, RANENCERT S (B
pa— LbB) BET, T4V ROty PREOHHELETHOIRLEET, BTHH : —i

DT 4 —)V RNOFEE/NY — > 23T 2 EAR TR ESNET, EB5OFETD.
DT 4 —IV R « &y FOERENRNTEGT HDEROIRET + — )V ROBIEWEETT,

il

node = stream.create("factor", "My node")

# "Fields" tab
node.setPropertyValue("custom _fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Factor_ Age")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("method", "GLS")

# Expert options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", True)
node.setPropertyValue("matrix", "Covariance")
node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract factors", "ByFactors")
node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" section
node.setPropertyValue("rotation", "DirectOblimin")
node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

# 114. factornode 7 /NT A —

factornode 70N ¢ — i Tans ¢ —oHm

inputs [fieldl ... fieldN) FERAD DR TFETIVIEHRT 4 — IV RT
B, ANT 4=V ROV X NEFHL F
T, EAT LIV RBIUOEKT7 +—IL R
R LERA, F#LE FEv 7169
R—2 D [ BRETIAER / — KD 7|
[T - EBRLTIES N,

method PC

ULS

GLS

ML

PAF

Alpha (77 7)
Image

mode Simple (Eff)
Expert

max_iterations #ofE
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Z114. factornode Za/)NT 4 — (B )

factornode 7TI/NT ¢ — il TaNnTF 4+ —DHM
complete_records a4
matrix Correlation
Covariance
extract_factors ByEigenvalues
ByFactors
min_eigenvalue Bl
max_factor Htg
rotation None
Varimax
DirectOblimin
Equamax
Quartimax
Promax
delta EofiE rotation T DirectOblimin ZEIRL /=3
A, delta DEZIRETE %,
EEEE LRWEGEAEIL,. delta DT 7 3L
Ml Z g
kappa #fe rotation T Promax Z3#ERL7=H5. kappa
DIEZIFETE %,
EEEELRWEEIE. kappa DT 7 4 )b
i 2 fif
sort_values 770
hide_values 770
hide_below Bl

featureselectionnode Z7O/N5 1 —

/f\‘ﬁ T4 =)V RER ) — KT, (REEOEGHED) BHRUEITEDOWTANT 74—V REZT

u@ —Z 2 U THIBRIZONT ., /€ L7z BREICHIIRIER D DA 7 4 — IV ROBEEEE Z > 7+
FLUET, HlAE, BHEOEBIEMAN T — IV RE2EDT—5ty M5 EL T, BETHE
DETY P TIRIEENDRIIEDDTL & D7

1

node = stream.create("featureselection", "My node")
node.setPropertyValue("screen_single_category", True)
node.setPropertyValue("max_single category", 95)
node.setPropertyValue("screen missing values", True)
node.setPropertyValue("max_missing values", 80)
node.setPropertyValue("criteria", "Likelihood")
node.setPropertyValue("unimportant_below", 0.8)
node.setPropertyValue("important_above", 0.9)
node.setPropertyValue("important label", "Check Me OQut!")
node.setPropertyValue("selection _mode", "TopN")
node.setPropertyValue("top_n", 15)
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T4 =)V RIBIRETIVEERL GEAT 2582603, fRXR=20 25> Ryoy 27107 S0k 7|

[« =V RBEREFIOERI EBRL T EI N,

115, featureselectionnode 7' 11/NF 4 —

featureselectionnode 7TI/NTF ¢ — it FTONT £ —DHW
target 74—V R T4 =) KRBT T IR E R ST B E
LzFM7 4 —IVRET > IMIFLE
o BEAT A —IVRBROERT + —)
RIFFEHL EEA, FFL<IE FEY Y
169 X—> D T—fRN7ZETIVER/ — 1
DTONT 14— [EBRLTLIZE N,
screen_single category 727 True O®E, L I— REICHXFEUC A
FTAY =< DL o7z L d— K&
D74 =)V REREHLET,
max_single_category Hofd screen_single_category 2% True DHFH
ICHASNSBEEEELXT,
screen_missing_values a4 True OHBE. L I— ROBREDO/N—t >
NTETL - REKICARDET, £TTE
LHREET 4 — I REAZ V-2
(#R) LET,
max_missing_values ot
screen_num_categories 757 True OHE. L I— FOREUTHL T
TELHTIV—ZRESTHMT, T4
=V REZAZY—=7 (B LET,
max_num_categories ot
screen_std_dev 757 True DG, FHE S N7z H/IMELL T O
WRAT, 74—V REAZY—Z227
GEj) LT,
min_std_dev ot
screen_coeff of var 750 True OEE. HE I NZHR/NMELLT D5
MBRET, 74—V REAVY -2
GER) LT,
min_coeff of var el
criteria Pearson AT T =R BT T —THl
Likelihood EDZ > 7 F0 &I, HERMEAE
CramersV LT HAERMEEELET,
Lambda
unimportant_below ol HIE, ER FEEELTEKRET DY
fTFTHEEZIHHINSHEME p ZHEE
LET. 00 205 1.0 DEZFEEL £
‘a_o
important_above Hfl 0.0 5 1.0 DEZRELET,
unimportant_label e FEES > IDOITNINEEELET,
marginal_label XA
important_label e
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F115. featureselectionnode Za)NT 4 — (&)

featureselectionnode 7 TI/XF ¢ — fird TOaNnNT 1 — O
selection_mode Importancelevel
ImportanceValue
TopN

select_important 750 selection_mode 7% Importancelevel I
BREINTVWDSEEIT, HERT 44—
REZERTOZNESNEREL £T,

select_marginal 720 selection_mode 7% Importancelevel (T
BEINTVDEEIT, R T4 —ILR
ZEIRT DMEDINERELET,

select_unimportant 727 selection_mode 7' Importancelevel IZ
BREINTVNDEEIT, HETRNWT «
I REFERTHINESNEREL £
K

importance_value Kl selection_mode 7% ImportanceValue 1T
HEINTVWD EEIT, HHTSHEIE
ZIRELET. 0 25 100 OEZFEL
i"é_o

top_n B selection_mode 7% TopN IZRXE I N T
HEEIC, FHATLHEEZEEL X
T 005 1000 DEZEIREL ET.

genlinnode 70O/XF 1 —

!/’\,‘\1 AR ET IV, fBE L2 27 BRI &K TIBE RN T3 L UL R S RABERRIC

L
EE

il

2BHED, BB ETIVEHRLAZDBDTY, S5ICIOETINTE, FFERDMORERE
BEfmTsZ

ENTEEXRT, MEMEGE, OPAT 4 v IR AU bh - F—FICBT 50
THMETI)V. £ U TREFIUD AGFETIIVRE, HatET IV OKRBENREZ<GENTHE

node = stream.create("genlin", "My node")
node.setPropertyValue("model_type", "MainAndA11TwoWayEffects")
node.setPropertyValue("offset type", "Variable")
node.setPropertyValue("offset_field", "Claimant")

#116. genlinnode 7' /NT 4 —

genlinnode 7O/NF ¢ — i FaNST £ —D 3

target 74—V R — AT TIVE, AFEMEE TS
D 1 DORET 4 —IVEBIT 1 DL
LEOATT 4 =V RN TY, EAT o«
— )V RBIFETEET, FHLIE MEY
7169 R=2 O TR E T IVIER / —|
[(Fo7ONT 1 —) EBRLTIEI N,

use_weight 770

weight_field 74— R T4 =) ROT =& IIHGER 2 TY,
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# 116. genlinnode 7'T/NT 1 — (#E )

genlinnode 7TI/NF 1 — fiii TONRF £ — D3
target_represents_trials a4
trials_type Variable
FixedValue
trials_field 74—V R T4 =V ROT—FENIT 5 7R E]-13)E
FRITY,
trials_number Kofil 77 4V M#ElE 10 TY,
model_type MainEffects
MainAndA11TwoWayEffects
offset_type Variable
FixedValue
offset_field 74—V R 74 =) ROT— & BIIEHER 72 TT,
offset_value oAl ERTHLDZLENHOET,
base_category Last
First
include_intercept 757
mode Simple
Expert
distribution BINOMIAL IGAUSS: AT A,
GAMMA NEGBIN: 1D 2 IH/ .,
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL
negbin_para_type Specify
Estimate
negbin_parameter oAl T4 MAEZ 1 T, ATRWERZED
WEINH D ET,
tweedie_parameter HofiE
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# 116. genlinnode 7'0/NT 1 — (F#E )

genlinnode ZTINTF ¢ — il Fans 1 —o W
Tink_function IDENTITY CLOGLOG: ffi% - YA F A - O/,
CLOGLOG LOGC: fafi %,
LOG NEGBIN: &1 2 IH/ M.
LOGC NLOGLOG: B - XA F A - O/,
LOGIT CUMCAUCHIT: A —F v I,
NEGBIN CUMCLOGLOG: #ARifin s - 1+ X - 1
NLOGLOG 7
ODDSPOWER CUMLOGIT: BfE T v K,
PROBIT CUMNLOGLOG: RfE#&nY - v+ X - O
POWER 7,
CUMCAUCHIT CUMPROBIT: R OEw k,
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT
power Bl I 0 TIRWEETHHILENRH D ET,
method NATUy R
Fisher
NewtonRaphson
max_fisher_iterations Hfié T 74V M 1 TT., EQELEZ T

HHTE XY,

scale_method

MaxLikelihoodEstimate
Deviance
PearsonChiSquare
FixedValue

scale_value

e

FIFIVMEIE 1 TY, 0 28X 2 0H
MHDET,

covariance _matrix

ModeTEstimator

RobustEstimator
max_iterations Bt 77 4)1 M#Z 100 T, 0 DL LR
JEHEATEET,
max_step_halving HfiE T 7))V M#L 5 TT., IEQEKIEZ T
ffFHTEET,
check_separation 727
start_iteration HfiE T 74 )V M#EIZ 20 TY . EOEHMEZ T
IMEHTEET,
estimates_change a4
estimates_change min Kotl 77 )b M#Z 1E-006 T9 ., IED¥ER
TRERTEET,
estimates_change_type AbsoTute
Relative
Toglikelihood_change 737
Toglikelihood change min e EORM@ERZGNERATEET,
logTikelihood_change_type Absolute
Relative
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# 116. genlinnode 7'T/NT 1 — (#E )

genlinnode 7TI/NF 1 — fiii TONRF £ — D3
hessian_convergence 770
hessian_convergence_min Efe EQBMEZTNHEHTEET,
hessian_convergence_type Absolute
Relative
case_summary a4
contrast_matrices 770
descriptive_statistics a4
estimable_functions 770
model_info 770
iteration_history 770
goodness of fit a4
print_interval HfiE FI7HIVMEZ 1 T, EOBKTHD
WEINH D ET,
model_summary a4
Tagrange multiplier a4
parameter estimates a4
include_exponential 777
covariance_estimates a4
correlation_estimates 757
analysis_type Typel
Typelll
TypeIAndTypelll
statistics Wald
LR
citype Wald
Profile
tolerancelevel fd 77 )V Mi#ld 0.0001 T,
confidence_interval HfiE 77 4)V M#EE 95 T,
loglikelihood_function Full
h—=xIb
singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
value_order Ascending
Descending
DataOrder
calculate_variable_importance 770
calculate_raw_propensities 770
calculate adjusted propensities | 7772
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# 116. genlinnode 7'0/NT 1 — (F#E )
genlinnode JT/XF ¢ — il

TaNT 4 — O]

adjusted_propensity partition Test
Validation

glmmnode ZO/NF 1 —

HO, FRESNL) P VBREN L THTBIOIERITHZICBEEL ., BIHIZHERETES &
TRV £ L7z, —RALHREGREE ETIVITIE, BM/RBMEIRD S JEIERH A6 OREWT T —
HEWMOWMOEHBRINTF LN - EFTIVET, SEIERETNDHD XTI,

. —MALEIR S ET )V (GLMN) 138 ET IV & HRR L=/, MRNIEIER I L1255 60

117, glmmnode 7'T/NT 1 — :

glmmnode 7'TNF ¢ — fili TaNT 4 —DFEW

residual_subject_spec HiiEAk RELEATIY 8T ¢ —)) ROMBE
bRIZKD., T—F v FNOKRE N
BICEHEIND ZEDMETT,

repeated measures HEfk

NKETHEROBEICEREIND 7 0 —)
K.

residual_group_spec

[field] ... fieldN]

KENRIERB/INT A—F =DMty
BEFRTD T4 —IVR,

residual_covariance_type

Diagonal

AR1

ARMAL1
COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED
VARIANCE_COMPONENTS

RAEOHELBMEZETELXT.

custom_target

777

LD ) — R TEREINZHNRZHEHT S
M (false) £7z1d target field ITL>T
RESINLEHAY LR E MR T 20
(true) ZEHELET.

target_field 74— K custom_target 7% true OHFEXHREL T
EHTZ 74—V R,

use_trials a4 AT Z R E T 21BN « —)) B XI3ME
B, MBI 4 — ) RO ORITNFEAET
DR I2A N P THLHEITHENT D0
EDMERLET, T 74V NI false T
ED

use_field or value field 74—V RERIZMEESEH L TRITREE

Value HETHMEIDERLET,
trials_field 74— K AITEEOREICHEHT S 70—V B,
trials_value B AT DR EICHER T 5 E. HET 2%

& RMER 1 TY,
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#117. glmmnode 7T/NT 4 — (§£Z):

glmmnode 7'TI/NTF ¢ — fifi TUNT ¢ —DOFW

use_custom_target reference a4 NAZ LBRAT I —% 773U —8%t
RIEHT2NESIMNERLET. T 74
JV RiE false T,

target_reference_value FH use_custom_target_reference 7% true @

BERT 2T IY —,

dist_Tink_combination

Nominal (%)
Logit

Gammalog
BinomiallLogit
PoissonLog
BinomialProbit

HRDED BT 2 —RET ),
Custom Z L T, target_distribution
TR‘EESNZU AN SMMZEREL £
ER

Multinomial

Gamma (H><)
Inverse
NegativeBinomial
Poisson (R >))

NegbinLog
BinomiallogC
Custom
target_distribution Normal dist_link_combination 7% Custom DHHE
Binomial DX RDIED T,

Tink_function_type Identity MG % T RMEIC BT 5 U > 7 BEEL
LogC target_distribution 7%
Log Binomial OHH. UARINTNS
CLOGLOG EQU B THEHTEETY,
Logit target_distribution 7%
NLOGLOG Multinomial DFH.
PROBIT CLOGLOG, CAUCHIT. LOGIT.
POWER NLOGLOG, 7zid PROBIT i TE X7,
CAUCHIT target distribution 7%
Binomial LISfBL N
Multinomial LASVDEA.
IDENTITY. LOG. E7zid POWER Zffifl TZ
ESC
Tink_function_param Al RIS >V BEBUNT A—% —1H.
normal_Tink_function FE7zid
Tink_function_type 7% POWER DIFEDH
BHINET,
use_predefined_inputs 757 BENRT 4+ —IVREA T4 —IVREL
TLERTER SN T4 —IVRET BN
(true) fixed_effects list D7 4 =)L F &
T BHM) (false) ZHELET. T 74V b
13 false TY.
fixed effects_list b Py (a use_predefined inputs 7% false DA,

EENRT 4=V RELTHRTZANT
4=V RERELET,
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#117. glmmnode 7T/NT 4 — (§£Z)

glmmnode FTINF ¢ — fili TONRF 1 — D3

use_intercept 750 true (T 7 )V b)) A ETIVICERCE
EEHET,

random_effects list HEEE T LNRELUTHRET S 74—V RD
J AR,

regression_weight_field 74— K SHOEBT 4=V RELTHATS 7 ¢
=R,

use_offset None F7ty NERET S HEERLET, M

offset_value
offset_field

None (. A7ty "MMERINANWI &%
BWLET,

offset_value

fd

use_offset 7% offset_value DHEF T
v MY S,

offset field 74—V R use_offset A\ offset field DY HA 7t
v MEZEH S 5,
target_category order Ascending F7 U —B %D — NE, fE Data
Descending 3. T—FHNOY— NEZMEHAT 2L DE
Data FLET, T 74)L M3 Ascending TT,
inputs_category order Ascending Sorting order for categorical predictors. fi

Descending
Data

Data |, T—FHNDOY—MNEZERT X
SHEELET., T74J)L M Ascending T
ER

max_iterations BE TINAY XL TEITSNDRIEDERKIEE
T, ADKTIRAWER. 774 MA
& 100 TY,
confidence_Tevel 2 BT IR D K HHEE O FHEIC T 2 1
B, AOKTIIWELR, K/MEI
100, 77 )b MEIE 95 T,
degrees_of_freedom method Fixed HHENEEEREICHESINS fikzlg
Varied ELET,
test _fixed effects coeffecients |EF/L INT A= —EERERT N v 7 A &5
Robust 595 ik,
use_p_converge a4 INT A= —RKDF T a2,
p_converge Bl ZEA E /2 IIMEE DO IEDE,
p_converge type HextiE
Relative
use_1_converge 720 KETENRDOL T a >,
1_converge poqlE] ZEH E T IER D IE D,
1_converge_type HeIHE
Relative
use_h_converge 777 Hessian PCRDA 7> a >,
h_converge ol 22 F 72 IR D IEDH,
h_converge_type e
Relative
max_fisher_steps Eii2q
singularity tolerance Hofd
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#117. glmmnode 7T/NT 4 — (§£Z):

Transformed (Z5#h)

glmmnode 7O/ F ¢ — e TONF ¢ —DFH

use_model_name a4 ETINOAAY LA EHHT DD (true) &
AT LZE o TERS N A ZEEH T2
M (false) ZFELEJ. T 74V M
false T,

model_name A use_model name 2% true O & EIZ, T
LETIVERELET,

confidence onProbability Aa7 Y T DEEEEFIET 2 &b

onlncrease FEWTHIER, £23RbEWTHIERE

2 FHITEWTHIRER & DZE).

score_category probabilities 757 true OFE. 7TV —B GO T HIMER
ZERUET., 774V NI false TT,

max_categories =i score_category_probabilities 7% true @
EEC, HHTAH T — ORI R
ELET,

score_propensity 727 true OHFE. T4 —IVRD Ttruel DOFERE
DiERE RS 7 7 TR T 4 —IV O
MAT ZHERLET,

emeans structure EENR) A bOEAT TV =BT ¢ —))
RIZDOWT, HEERD 2 BT 50 E
IMERELET,

covariance_list structure EEHRI A bDOFEHTIV—RT 1 —)
RIZDOWT, HERDFEEZEH7T 556
IR EFRT SN AY AMEEFHT
LINEWRELET,

mean_scale Original HEDILDREICHEDINWT (T 72V ).

E7203 > BIEZE BT HE D W THEE E D
EHEFRETLINEINERELET,

comparison_adjustment_method

LSD
SEQBONFERRONI
SEQSIDAK

BR ORI TIERE 27T 2551
M 2RIk,

gle 7ONT 1 —

- GLE /— Ri3. IBM SPSS Analytic Server \Z##i L TWABEEICOAMHTEEJ . GLE
1. WREFEERDMAETEDISITHRAETINELRELZHDOTHO ., fFEINEZY > VHE
BENLUTHRTFBIOCHERICHRFICBEE L., BISHETESXL51C20 £k, L
RBRATTIICIE, BB MEIRN S, JEESRG ORI T —% 280 #] 5 @iz < )L F
LN BFIIVET, SEIFERETINNHVET,

K118 gle 7'0/NT 1 —

gle 7ONF 1 —

TaNT ¢ — OB

custom_target

LHED /= R TERINNREEHT 20
(false) E/zl3 target field k> THHEINZ
HAY LR REFAT D0 (true) ZEFELET,
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F118. gle 7O/NT 11— (#Z)

gle 7ONF 1 — firi TaNT 1 — O
target field 74— K custom_target 7% true OFEHHREL THEHT
74— K,
use_trials 757 AITERZHET 28N ¢+ —)V R X3fEZ. xf
KT 4 =)V EN—EHORITNREET DL T2T N
SR THAGAEITHERATENESINERLET,
F 74 )V M3 false T,
use_trials_field or value field T4 =)V REBMEZEH L CRTHREZRET
Value EMEIMERLET,
trials_field 74— K ITREE DR EICHERAT 57+ —IL R,
trials_value B AITEROREICHEHAT 26, fHET 256, &
/IMEIE 1 T,
use_custom_target reference 777 NAZ LBWRAT ) —%F7 T —B I
AT ESNERLET. T 74 NI false
T9,
target_reference_value FH use_custom_target_reference 7% true DI
MAdsZRATd)—,
dist_Tink_combination NormalIdentity MREDMEDHAHIEET 2 —ET ).
Gammalog target_distribution TREEIND U A RNS5
PoissonLog i 258 21213 CUSTOM 2 EIRL £ 97,
NegbinlLog
Tweedieldentity

NominalLogit
BinomiallLogit
BinomialProbit
BinomiallLogC
CUSTOM

target_distribution

Normal
Binomial
Multinomial
Gamma (51><)
INVERSE_GAUSS
NEG_BINOMIAL
Poisson
TWEEDIE
UNKNOWN

dist_link_combination 7% Custom DIFE DK KR
DIED 5
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F118. gle 7ONT 1 — (% Z)

CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG
CUMUL_NEG_LOG_LOG
CUMUL_CAUCHIT

gle 7ONF 1 — fifi pARVAL R RO
Tink_function_type UNKNOWN X5l % T RME I B EAT T 2 U > 27 BEEL

IDENTITY target_distribution 7% Binomial O, AR

LOG ZEATEET,

LOGIT UNKNOWN

PROBIT IDENTITY

COMPL_LOG_LOG LOG

POWER LOGIT

LOG_COMPL PROBIT

NEG_LOG_LOG COMPL_LOG_LOG

0DDS_POWER POWER

NEG_BINOMIAL LOG_COMPL

GEN_LOGIT NEG_LOG_LOG

CUMUL_LOGIT 0DDS_POWER

target_distribution A% NEG_BINOMIAL D5,
DFZEMHEHTEET,

NEG_BINOMIAL

target_distribution 7% UNKNOWN D¥&. LLFZ
HHTEET,

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_LOG

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

link_function_param

95 Tweedie /XT A—%,
normal_Tink_function FE7ziZ
Tink_function_type 7% POWER DIFE DA S
nNxE7J,

tweedie_param

HHT 2 BB A—5 —fH.
dist_link_combination 7 Tweedieldentity IZ&%
ESINTWSA, £721d Tink_function_type M3
TWEEDIE OBEICDOHEHATEET,

use_predefined_inputs

ETINVHRT 4=V REANTT =V RELTE
RTERSINZT 4=V RETEHD (true)
fixed_effects_list @7 4 —J)VL RET 5
(false) ZfHEL £ T,

model_effects_list

HE(E

use_predefined_inputs 7% false ®HE. ET IV
DRI A=V RELTHERATAAN T4 —IL R %
RELXT,

use_intercept

777

true (T 7)) OFE. ETIVICEREE G H
N

regression_weight_field

PEEIIZAN

POEAT 4 —)VRELTHERTZ 70—
K.

use_offset

None
Value
Variable

F7ty hEfRETHHIEERLUET . fE None
2. A7y PBERINABNWI EEEKRL X
ER
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F118. gle 7O/NT 11— (#Z)

gle 7ONF 1 — firi TaNT 1 — O
offset value Al use offset A% offset value D¥EF 71w M
9 % 0E.
offset_field 74—V K use_offset AY offset field OHFHA 7w Ml
AT % 1E,
target_category order Ascending 7Y RS0 — NE. 77 )0 M
Descending Ascending T79,
inputs_category order Ascending Sorting order for categorical predictors. 7 7 #+ Jb
Descending 13 Ascending TTY .,
max_iterations B TIVTU XL TETINDKIEORKIEE T,
ADETIIRWER, 77 +)L MEX 100 TY,
confidence Tevel Hofl ETIVERELD X EHEE DRI 3 2 (5 B,
B O TIIRWER, R/AMEE 1000 77 4L b
X 95 T9,
test fixed effects_coeffecients |ETIL INT A= —HEWLERT N w7 AZ5HT S
Robust Fiik.
detect outliers 777 true OHFH. 7IVT) XLT, ZHEMERLS T
NTOMEITHT D END DI NEEBRIE L F
ER
conduct_trend_analysis 777 true DFAE. TIVTY XL THAKD KL > K4y

MraETL£T.

estimation_method

FISHER_SCORING
NEWTON_RAPHSON
HYBRID

RAEHET I TY XLZHEELFT,

max_fisher_iterations B FISHER SCORING estimation _method Zf#f L T\
LHE0. RRRERR. RAMERZ 0. RAMEIT
20 TY.
scale_parameter method MLE A=)V INTA—=5 OHEEITH AT 2 HEZEE
FIXED LET,
DEVIANCE

PEARSON_CHISQUARE

scale_value

#fd

scale_parameter_method 7% Fixed IZFE ST
WLHRIZOBREATEXT,

negative binomial method MLE BOZIHNMARBIN T A—F OHEOHHT 54
FIXED LERELET.

negative_binomial_value Hofil negative_binomial method 7% Fixed IZF%E I
TV HRICOAERTEERT,

use_p_converge 770 INTG A= —RDOF T a >,

p_converge e ZH FIIEZE D IEDHE,

p_converge_type 770 True = #@XHE. False = FHXHE

use_1_converge 777 R ENROL T > a >,

1_converge Kete ZEH R IIMEE D IEDH,

1_converge_type 770 True = #fXHE. False = AHXHE

use_h_converge 777 Hessian JCRDOF 723 >,

h_converge Hofl ZEHERIIMEE DO EDMH,
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F118. gle 7ONT 1 — (% Z)

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

gle 7ONF ¢ — firi TaNT 1 — DM

h_converge_type 720 True = #fiXHE. False = AHXHE

max_iterations B TIVTY XL TEFINDKEORKEFTT,
HOETIIARWER, 7 +)L MEL 100 TY,

sing_tolerance B

use_model_selection 757 INTA=H LEWEEET VORI AHED > hO
—IVERMMILET,

method LASSO ETIVORERFE, £7213 Ridge ZHEHL TS

GEERIEEZREL T,

detect_two_way_interactions

a4

True OFE. EFIICED AT T 4+ =)V REDON
FHIARZEAERN BRI S NE T,
Zoarbho—=)Vid, EFIREHNROA (—Y
—DNERITIREER L TWRW) THOD, MhDE
IRE3N7= method 7% Forward Stepwise. Lasso. F
7213 Elastic Net OFEIZOAFICLTLZE
W,

automatic_penalty_params

TTI)VERD method 2% Lasso F7z13 Elastic Net
DBEEDHFEHEETT,

ZDOHREZ M AL T, Lasso £7213 Elastic Net 22
BOBRIRGIEICBEEAS T 5 NPT 4 INT A—
YaEATTLET,

True DHFE. T 74V MEPERAINET,
False OJ/E. XFINT 4 INTA=FNERNT/
O, WAY LMEEZATITEET,

lasso_penalty param

ETIVERD method 2% Lasso F7213 Elastic Net
TdH Y. automatic_penalty params 7% False D
BRICOAMHTEET, Lasso DRXFILT 1 /N
TA—FEHEELET,

elastic_net_penalty paraml

TTI)VEIRD method 2% Lasso F7z13 Elastic Net
THU. automatic_penalty params 7% False D
BEICOBMHEHTEE T, Elastic Net /NT A—%
1 ORFIT 4 IRTA=FEIRELET,

elastic_net_penalty param?

ETI)VEIRD method 7Y Lasso F7z1d Elastic Net
THD, automatic_penalty params 7% False O
BEICOAHHTEET . Elastic Net /NT A—%
2 DRFINT 4 NIA=FZHELET,

probability_entry

EININ/= method 7' Forward Stepwise DT
DAFRATEET., HIROWEHICH TS F Hatkk
EOHRBEKEEZBEL X,

probability_removal

IR S 1172 method %% Forward Stepwise DHEIT
DAFEHTEET, HROREICET S F Halit
OHEBEKEZIEELET,
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F118. gle 7O/NT 11— (#Z)

gle 7ONF 1 — il

TaNT 4 —DHY

use_max_effects 720

HR I N7 method 7Y Forward Stepwise DFEIT
DAFRTEET,

max_effects I hO—)LZHHZL T,

False DBE. WETDHROT 7 4 )V MR,
EFIICIREE SN DR OBREN S U EF W
HDOEHEL L BRITNUIRD EH A,

max_effects B

ZBRIEMA T T A IR EZ RS 25
BONROBEREEREL LT

use_max_steps 777

max_steps I hO—)LEEIZLET,

False DG, AT v 70T 74 MIZ, EF
RSN ROEN SR 2RI L 2D
D 3 fEEHELL BTN ER A,

max_steps B

BEIEIMA T T T A RiEVERK method ZF T
DEICHD ATy TORAEZIRELET,

use_model_name 770

ETINDAAY LA EMHHT 50 (true) ¥ AT A
W&o ThERSN4TT 2 HHT 20 (false) 2
BELET., 774V M false TY,

model_name e

use_model _name 7% true D& EIZ, FHTIET
IWERELXT,

usePI 757

true DG, THEBOBERENGREINET,

kmeansnode 7O/XT 1 —

L K-Means / — R T, =% « vy "WERZ ) —T (OFEDIITAT—) N, VIAZ

I"-.(%f" TINET., TOHET. BEBRDI FAY—ZEHRL., JIAY—IZLI—REHDIKRLE

pan— DLTT, ZNUERBELTHETIDRRESINLRLSRDEET, VIAY—DOHLEFELE
F, K-means Tl FERZTFHTHOTIERLS, ANWTZ74—IVL ROy NND/INY —> ZHS
MCT B0, THREESE tLTashs 7oAl InEd.

1

node = stream.create("kmeans", "My node")
# "Fields" tab
node.setPropertyValue("custom _fields", True)

node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K", "Age"])

# "Model" tab

node.setPropertyValue("use model name", True)

node.setPropertyVa]ue("modE]_namE", "Kmeans_allinputs")

node.setPropertyValue("num_clusters", 9)
node.setPropertyValue("gen distance", True)

node.setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label _prefix", "Kmeans_ ")

node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop_on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)
node.setPropertyValue("encoding_value", 0.3)
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#119. kmeansnode 7'T/NT 1 —

kmeansnode JTI/NTF 1 — i FONT £ — DB
inputs [fieldl ... fieldN) K-means T IVIZANT 7 4 =)V ROt K
T TR =T WETN, HRT 4
—JVRIIERHLER AL, EAT 4 —IL RS
FOEH T — IV RIIFEHLEREA, FEL
<. FEw 169 R—=2 D T—fKi)72E|
FVER  — o7 o/)F 1 —1 [EsiRL
TLEE N,
num_clusters Al
gen_distance 777
cluster_label String
Number
Tabel prefix pe
mode Simple (EfH)
Expert
stop_on Default
Custom
max_iterations b4l
tolerance fil
encoding value KAl
optimize Speed ETFIVMERNEEZEE AT —DEBE 5ITL
Memory DEELINENEIEELET,

knnnode 70O/NTF 4 —

1

k MWEHTHDHE. k I (KNN) /—RiZ, #ilWwor—2 %, FHIESO#H L Wr—2
@ WCEBIEW k o4 727 hOhTFIY —£ /713l EBEEMTET, BLULEZyr—AZBE
WIZIEL, L TWiaWnWr— 2 EREVICENTWETD,

node = stream.create("knn", "My node")

# Objectives tab

node.setPropertyValue("objective", "Custom")
# Settings tab - Neighbors panel

node.setPropertyValue("automatic_k selection", False)
node.setPropertyValue("fixed k", 2)
node.setPropertyValue("weight by importance", True)

# Settings tab - Analyze panel
node.setPropertyValue("save_distances", True)

# 120. knnnode 7I/NT oA —

knnnode 7ONF 1 — ifi Tans ¢« —oHM
analysis PredictTarget
IdentifyNeighbors
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Z 120. knnnode 7'O/NT 4 — (W Z)

knnnode TN — fifi TONT £ — DM
objective NZ R
Speed
Accuracy
Custom
normalize_ranges 770
use_case_labels 757 ROF T2 a ek d5F v o - R
DA
case_labels_field 74 —J)VF
identify focal cases 757 ROF T2 a ek d5F v o - R
PR/
focal cases_field 74 —I)VF
automatic_k_selection 757
fixed k B automatic_k_selectio A% False DIFAEIC
DHHEZNTTY
minimum_k B automatic_k_selectio % True DFHITD
AHERNTY
maximum_k B
distance_computation Euclidean
CityBlock
weight_by importance 770
range_predictions Mean
Median
perform_feature_selection 770

forced_entry_inputs

[field] ... fieldN]

stop_on_error_ratio 770

number to_select B

minimum_change Kotg

validation_fold assign by field |7Z72

number_of_folds B validation_fold_assign_by_field 7%
False DHFFICDOAERNTT,

set_random_seed a4

random_seed Hotl

folds_field 74 —I)VF validation_fold_assign_by field 7% True
DHEIZDHEZNTY

all_probabilities 777

save_distances a4

calculate_raw_propensities 757

calculate_adjusted_propensities a4

adjusted_propensity partition Test

Validation
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kohonennode 7O/\F 14 —

r_,_,f\\x' Kohonen /—RiE, Za—J)« Fy hI—=ID—RETHD. T—4% -ty hEr T A5 —1t
\ =/ LTRBZ TN —TEHRTHENTHATEET, %y hT—VOEENZE T2 E, Kl
w— DL aA—RREATY TTHWEICERIN, BELOREWLI—-REFEHNEEZAICE
REINET, BEOEWIZ Y NEBRITA720IERINZETIVNT, &1y MIVES
L7BROBMEEHRD ZENTEET, UL, @YY I A5 —HIZOWTOE > Mk
HEEMHOET,
il
node = stream.create("kohonen", "My node")
# "Model" tab

node.setPropertyValue("use_model name", False)
node.setPropertyValue("model_name", "Symbolic Cluster")
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("time", 1)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue("random_seed", 12345)
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("width", 3)
node.setPropertyValue("length", 3)
node.setPropertyValue("decay_style", "Exponential")
node.setPropertyValue("phasel neighborhood", 3)
node.setPropertyValue("phasel eta", 0.5)
node.setPropertyValue("phasel cycles", 10)
node.setPropertyValue("phase2_neighborhood", 1)
node.setPropertyValue("phase2_eta", 0.2)
node.setPropertyValue("phase2_cycles", 75)

Z 121. kohonennode 7'/NT 1 —

kohonennode 7TI/NT ¢ — i TONT 1 — DM
inputs [fieldl ... fieldN) Kohonen ETIVIk5 7 ¢ —)L RTx<,
ANT 4=V ROV A MZEHLET, &
BT 4 —IVEBXOEBLT ¢ —)L RIIEH
LEtA. LT hEy 7169 =
O T —fH72ETIVER/ — RO 7 0/ F|
-1 EzRLT<EEN,
continue 757
show_feedback 770
stop_on Default
B
time HfE
optimize Speed ETIERDNEEEAT) —DEE5ICX
Memory DEELEINENE2IEELET,
cluster_label 770
mode Simple (EfH)
Expert
width Hfe
Tength e
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# 121. kohonennode 7T/NT 4 — (F£Z)

kohonennode 7TI/NF ¢ — fiti FONT £ — DB
decay_style Linear
Exponential

phasel neighborhood B

phasel_eta HfiE

phasel cycles Bt

phase2_neighborhood Ktg

phase2_eta Al

phase2 cycles Ketl

linearnode 7O/\F 1 —

MAERET IV, HRE 1 DIRZITERO THIME & OB OBIRITE D W THER AN %2 T

il

node = stream.create("linear", "My node")
# Build Options tab - Objectives panel

node.setPropertyValue("objective", "Standard")

# Build Options tab - Model Selection panel

node.setPropertyValue("model_selection", "BestSubsets")
node.setPropertyValue("criteria_best subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

# 122. linearnode 7°01/NT 4 — :

Tinearnode 7O /NF 1 — il TONTF ¢ —DFH
target 74—V R 1 DORHBET 4 —IV RERELET,
inputs [fieldl ... fieldN] ETITHASNDANEZIZIANEZIZ

TREET 4 —IVR,

continue_training _existing model |77
objective Standard psm [FIEFWICKRENWT—F by MIHHS
Bagging 1. Server DIEHNNHIETT,
Boosting
psm
use_auto_data_preparation a4
confidence Tevel Bt
model_selection ForwardStepwise
BestSubsets
None
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Z 122. linearnode 7'0/NT 4 — (% &) :

linearnode JT/NF 1 — fifi TONT 4 — DN
criteria_forward_stepwise AICC
Fstatistics

AdjustedRSquare

ASE
probability_entry Hofl
probability removal Ketg
use_max_effects a4
max_effects Kete
use_max_steps a4
max_steps Kete
criteria_best_subsets AICC

AdjustedRSquare

ASE
combining_rule_continuous Mean

Median
component_models_n Al
use_random_seed 757
random_seed FofE
use_custom_model_name 757
custom model_name X4
use_custom_name 770
custom_name X4
tooltip el
keywords el
annotation ped
linearasnode ZO/\F 1 —

< BAEIRET IV, WRE 1 DELIFEEO THIE E OB DOBIRICE D W THEBRR NS 2 T
@ MUK,

7 123. linearasnode 7' 1/NT A —
Tinearasnode 7'TI/XF 1 — il TanTF 1+ —DHM
target 74— K 1 DOMHRT7 4 —IVRERELET,
inputs [field] ... fieldN] ETITHASNDANEZIIANEZIZ

THEET =V R,

weight_field

P EAYIZ2N

ETNTHAINSG ST 4 —IL R,

custom_fields

757

T 7 %)V M#IE TRUE TY.
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# 123. linearasnode 7O/NT 1 — (i)

Tinearasnode 7T/NF ¢ — il pARVAL R RO E ;|

intercept 757 7 %)L M#EX TRUE TY,

detect_2way_interaction 757 REZENEREERT 5N ED M. T7
4 )V Ml TRUE TT,

cin #fe ETFIVREOHEEMEZFET 2 7=DIfFH
TOMEEOKH, 0 KD KEL, 100 £
DNSWEZIEELET. T 7 4)0 ME
95 T9Y,

factor_order ascending AT TURITHET 4 =)V ROWME, 77

descending + )l M#ElE ascending TI .

var_select_method

ForwardStepwise

HEHI2ETNORERSGE. T 7 +)0 Ml

BestSubsets ¥ ForwardStepwise T,
none
criteria_for forward stepwise AICC ETIVICHIREMAZRED, ERITET
Fstatistics WINEEIRZEHIRT 2 RENERET D &
AdjustedRSquare AT B HE. T 7 4 MAR
ASE AdjustedRSquare T,
pin Bt ZZiZfEEE Nz pin LEWERM ORI
p EEFFOHRNETIVIENESNET,
T 7 x )b MEl 0.05 T,
pout HfE ZZIEESN pout LEWELDKE
W p EEFEDETIVNO TR TOREIE]
BREnxd. 7740 MEZ 0.10 TY.
use_custom max_effects 757 BEET N TRABOMEEFERT 2NE
S T 74 )V MEIL FALSE TY
max_effects HfiE BRIEETIVTHERATIROmKEK. 77
)V MEE 1 TY,
use_custom max_steps 757 BABOAT Y Ta@HTHMNEID, T
7 # )V M#lE FALSE T,
max_steps HfiE 2Ty T ITAX 7T ZLMEIET Dk
KATw T, T 7+ M#IZ 1 T,
criteria_for best subsets AICC AT HHEMEDET— R, T 7)) MAZ
AdjustedRSquare AdjustedRSquare T,
ASE

logregnode Z7O/XF 1 —

BER EITHWERIA, BUEHEH TR AT IV MR T — VLR EFAL £,

@ O AT 4w ZEEE. AT 4 =)V ROEIZEDINTL O— REnM T 5atFETT. #

Multinomial Example

node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
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node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("use_model name", True)

setPropertyValue("model _name", "Log reg Drug")
setPropertyValue("use_partitioned data", True)
setPropertyValue("method", "Stepwise")
setPropertyValue("logistic_procedure", "Multinomial")
setPropertyValue("multinomial_base category", "BP")
setPropertyValue("model type", "FullFactorial")
setPropertyValue("custom terms", [["BP", "Sex"], ["Age"], ["Na", "K"1])
setPropertyValue("include_constant", False)

# "Expert" tab

node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("scale", "Pearson")
setPropertyValue("scale value", 3.0)
setPropertyValue("all probabilities", True)

node.setPropertyValue("tolerance", "1.0E-7")
# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)

node.

node.
node.

setPropertyValue("1_converge", "1.0E-3")
setPropertyValue("p_converge", "1.0E-7")
setPropertyValue("delta", 0.03)

# "Output..." section

node.
node.
node.
node.
node.
node.
node.

node

setPropertyValue("summary", True)
setPropertyValue("1ikelihood_ratio", True)
setPropertyValue("asymptotic_correlation”, True)
setPropertyValue("goodness_fit", True)
setPropertyValue("iteration_history", True)
setPropertyValue("history steps", 3)
setPropertyValue("parameters", True)

.setPropertyValue("confidence_interval", 90)
node.
node.

setPropertyValue("asymptotic_covariance", True)
setPropertyValue("classification_table", True)

# "Stepping" options

node.

node

setPropertyValue("min_terms", 7)

.setPropertyValue("use_max_terms", True)
node.
node.
node.
node.

setPropertyValue("max_terms", 10)
setPropertyValue("probability entry", 3)
setPropertyValue("probability removal", 5)
setPropertyValue("requirements", "Containment")

Binomial Example

node

= stream.create("logreg", "My node")

# "Fields" tab

node.
node.
node.
node.

setPropertyValue("custom fields", True)
setPropertyValue("target", "Cholesterol")
setPropertyValue("inputs", ["BP", "Drug", "Age"])
setPropertyValue("partition", "Test")

# "Model" tab

node.
node.

node

node

216

setPropertyValue("use _model name", False)
setPropertyValue("model _name", "Log reg Cholesterol")

.setPropertyValue("multinomial_base category", "BP")
node.
node.
node.
node.

setPropertyValue("use_partitioned data", True)
setPropertyValue("binomial_method", "Forwards")
setPropertyValue("logistic_procedure", "Binomial")
setPropertyValue("binomial _categorical input", "Sex")

.setKeyedPropertyValue("binomial_input_contrast", "Sex", "Simple")
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node.setKeyedPropertyValue("binomial input_category", "Sex", "Last")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale value", 3.0)
node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("1 converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section
node.setPropertyValue("binomial_output_display", "at_each_step")
node.setPropertyValue("binomial_goodness_of_fit", True)
node.setPropertyValue("binomial_iteration_history", True)
node.setPropertyValue("binomial_parameters", True)
node.setPropertyValue("binomial _ci_enable", True)
node.setPropertyValue("binomial ci", 85)

# "Stepping" options
node.setPropertyValue("binomial_removal criterion", "LR")
node.setPropertyValue("binomial probability removal", 0.2)

# 124. logregnode 7T/NT 1 —:

Togregnode 7'TI)NF 1 — fifi ZFaNT 4 — D]

target 74—V R OPAT 4w ZEFETIVE 1 DOMHRT
4=V EBXE 1 DUEDOANT 4 —IV R
EHEHALET. BT+ — IV RBLUOEA

T4 —=IVRI3EHLERTA. FHLIE |k
Ew 7169 XR—=T 0 T—iy7sT 5 )LER]
[/—Ro7oNF1—) Bl TS

W,

logistic_procedure Binomial
Multinomial

include_constant 757

mode Simple (Eff)
Expert

method Enter

Stepwise

Forwards
Backwards
BackwardsStepwise

binomial_method Enter
Forwards

Backwards
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# 124. logregnode 7'/NT o — (FEZ)

Togregnode 7 T/NTF 1 —

firi

TaNT 4 — D]

model_type

MainEffects
FullFactorial
Custom

T « ¥4 7ELT FullFactorial HME
EINTWBEE, AT v TRENMEES
NEELTH, EfrEINFERTL. ZDORD
DIz, BHIEAL (Enter) MMEFINE
ER

TF)L « Z1 T Custom MRESNTH
I—Y—FE 7 4 —J)V R (custom fields) 7%
REINTOARWESIZ, ERET LN
HEINET,

custom_terms

[[BP Sex][BP][Age]]

multinomial_base_category

T4

ZIRH T I —DRETEEREL LT

binomial categorical input pe2l
binomial_input_contrast AT —5— A2 TAPERET DHIEEEET DA
Simple TIAV—ANHOF— - TONT 14—,
Difference
Helmert
Repeated
Polynomial
Deviation
binomial_input_category First ZRAT IV —ZRET D HECRET S
Last AFTV—ATHOF— - TO)F 14—,
scale None
UserDefined
Pearson
Deviance
scale value oAl
all_probabilities 777
tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
min_terms e
use_max_terms 777
max_terms e
entry_criterion Score
LR
removal_criterion LR
Wald
probability_entry il
probability removal Al
binomial_probability entry il

218 1BM SPSS Modeler 17.1 Python AZ ) Fh&F—hA— 3>« i1 R




# 124. logregnode 7'T/NT o — (#EZ)

Togregnode 7TINTF 1 —

firi

Tans ¢ —OHM

binomial_probability_removal

#fE

requirements

HierarchyDiscrete HierarchyAll

BAEEF

None
max_iterations Ktg
max_steps Bt
p_converge 1.0E-4

1.0E-5

1.0E-6
1.0E-7
1.0E-8

0
1_converge 1.0E-1

1.0E-2

1.0E-3
1.0E-4
1.0E-5

0
delta Bl
iteration_history 770
history steps Bt
summary 757
Tikelihood ratio a4
asymptotic_correlation 777
goodness_fit a4
parameters 757
confidence interval e
asymptotic_covariance 757
classification_table a4
stepwise_summary 757
info_criteria a4
monotonicity measures 777

binomial output_display

at_each_step
at_Tast_step

binomial_goodness_of_fit 757
binomial_parameters 770
binomial_iteration_history 757
binomial_classification_plots 770
binomial_ci_enable 757
binomial_ci HofE
binomial_residual outTiers

all
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# 124. logregnode 7'/NT o — (FEZ)

Togregnode 7'T1/NF ¢ — it TUNT £ — DB
binomial_residual_enable a4
binomial_outlier_threshold HofiE

binomial classification cutoff Al

binomial_removal_criterion LR
Wald
Conditional
calculate_variable_importance 770
calculate raw_propensities a4

Isvmnode 70O/NT 1 —

WA R—K - Ry — -T2 (LSVM) /—REFATEE, A—N—T 4w hTBHIER

< T=F% 2 D07 N—TOWTINNICHETZZIENTEET ., LSVM IFHREITH D,
MDD TEEDL A—REFOT—Fty Ma L, JRHilaT—%ty NEUHTLENTEE
9, LSVM /— Rid, IBM SPSS Analytic Server IZHfE SN TS EEITHITINET,

#2125, Isymnode 7' /NT A —

Isvmnode JTI/NT ¢ — il TaNT 4 —DHM
intercept 777 ETNIYKFESDET, T 745
fEIX True TS
target_order Ascending AT —BRDOY — MEZEE L
Descending F9, AR TIIEEINET,
57 %)V M Ascending TI.
precision 2l HHRT 4 —IV ROREEIN Continuous

OEFHFICOAMEAINET, EIFDHE
FDEEICRE T H/NT A—F — &1
FLUET. B/MEL 0 TRAMEIZHD
T, T74)MAZ 0.1 T,

exclude_missing_values 720 True IZ9 5 &, RIMEN 1 DTHH
LHEBRF L a- RPN ENET, T
7 4)V MMl False T,

penalty_function L1 HHT2XFIT 1 BEBEOY 1 T &t
L2 ELET. 774V MK L2 TY,
Tambda fd NFNT 4 (EBE) NTA=F—,
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2 125. Isvmnode 7'O/NT 4 — (R Z)

1svmnode 70/NTF ¢ — fifi

TaNT 4 —DOFHY

calculate variable_importance | 7572

EHEE QMY RHIEEERT DETIV
OEE., X T aickn, ®F
IV OHETEIZ BT 2 & THIME O R ot 5 5
EERTT T IMFRINET, —i
DETFIVTIE, FICRKHEBET—5
N EAET S, BROEEE O
BITIZEWEEND NS 720, —H D
ETFTNTIET 74NV RNTHTIZRE->T
WET, BROFEEEIL, T, Va
> UZAN EFINVTIEMHEATEESR

Mo

neuralnetnode ZO/XF

‘f —

R BRESIRESNZHLWN—2a 022 —F) - Xy bT—=2 - BEFI)UER ) — RIRZDY U —
ATHHATEET., HLWN—a VIODWTIEIROIETHIAL £ (neuralnetwork), I[H/N—2 3 > TET
WEERBIOZAIT7Y T TEETN, HIiLWN—a 2HT2E5AV )T N2EHTLHEED

B L XTI, LFNEAN=3 >0
il

node = stream.create("neuralnet"
# "Fields" tab

node.setPropertyValue("custom fi
node.setPropertyValue("targets",

Al TY,

, "My node")

elds", True)
[IIDrugll] )

node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])

# "Model" tab

node.setPropertyValue("use partitioned data", True)

node.setPropertyValue("method",

"Dynamic")

node.setPropertyValue("train_pct", 30)

node.setPropertyValue("set random seed", True)

node.setPropertyValue("random seed", 12345)

node.setPropertyValue("stop_on",
node.setPropertyValue("accuracy"
node.setPropertyValue("cycles",
node.setPropertyValue("time", 3)
node.setPropertyValue("optimize"

"Tine")
» 95)
200)

R "Speed")

# "Multiple Method Expert Options" section
node.setPropertyValue("m_topologies", "5 30 55 2 20 3, 1 10 1")

node.setPropertyValue("m_non_pyramids", False)

node.setPropertyValue("m_persistence", 100)

2 126. neuralnetnode 7'1/NT 4 —

neuralnetnode 7ONTF ¢ —

i

TaNnT 1 — O]

targets

[field] ... fieldN)

—a—3) - J—RIZIE. 1 DB EoxS
TA4—IVR&E 1 DULEDANTT 4 —IV RN
VETT, EEBIOERT —)L RITME
BMEnEd, #HL<E FEw 69 X
PO T—WRETIVER/ — RO 70/
a1 EBRLTEEN,
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# 126. neuralnetnode 7'O/NT 4 — (FiZ)

neuralnetnode TI/NTF ¢ — il TUNT 1+ — O
method Quick
Dynamic
Multiple
Prune
ExhaustivePrune
RBFN
prevent_overtrain 770
train_pct Hotg
set_random_seed 727
random_seed Hotl
mode Simple (EfH)
Expert
stop_on Default EEE—R,
Accuracy
Cycles
Time
accuracy Bl LR,
cycles Al FEYA V),
REZI e FEEEHE ().
continue 770
show_feedback 770
binary_encode 770
use_last_model 777
gen_logfile 770
Togfile_name XFH
alpha B
initial_eta Hotg
high_eta Al
Tow_eta HotE
eta_decay cycles e
hid_layers One
Two
Three
h1 _units_one e
h1_units_two HofiE
h1 units_three b4l
persistence B
m_topologies X4
m_non_pyramids 7770
m_persistence ofiE
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2 126. neuralnetnode 7'O/NT 4 — (R &)

neuralnetnode ZTI/NTF ¢ — il TaNnNT 1 — O
p_hid_Tayers One
Two
Three
p_hl_units_one poqE]
p_hl_units_two Hfe
p_hl_units_three Bl
p_persistence HlE
p_hid _rate ot
p_hid_pers Hotg
p_inp_rate Al
p_inp_pers Bl
p_overall_pers Bl
r_persistence HotE
r_num_clusters Bl
r_eta_auto 770
r_alpha HfE
r_eta HtE
optimize Speed ETIAERNEEE AT —DEE 5ITL
Memory DRI NS N EEELET,
calculate_variable_importance 757 W AiEOU U —ZATHEHALZ
sensitivity_analysis 70/%7 ¢ —i3. Z
DTANT 4 =K VFELEENET., HW
TONRT 4 —IFEEYR— FINETH,
calculate_variable_importance % B#)%
LEd,
calculate_raw_propensities 770
calculate adjusted propensities 727
adjusted_propensity partition Test

Validation

neuralnetworknode Z70O/S5F 1 —

Za—I) e Fxy hT—=2 - J—RiE AMOMNEREU T S HikE Bl cET IV %

HHLEY. Za—J)b - xy bU—2 - /=R, ERTHLEORMUHEEA 22 2 2
: L—bhLUET, UBEAML, Za—02 2Lz bDEXBTEET, —a—J) - v

N =2 BN —REBHEEETH D, FE S0, BHT 21T RIEROKEFBEX

VDAL ML E D D 8 A,

1

%13 3 EFIER S/ —RoTans o — 223



node = stream.create("neuralnetwork", "My node")
# Build Options tab - Objectives panel
node.setPropertyValue("objective", "Standard")
# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

127, neuralnetworknode 7°T1/NT 4 —

neuralnetworknode TN F 1 —

firi

pARVAL R RO E:|

targets [fieldl ... fieldN) KRT 4 —IV RERELET,

inputs [fieldl ... fieldN] ETINTHEHSINS AN ERIFAT LT
FHERT =V R,

splits [field] ... fieldN DEIETIWVAERICHERT S, 74—V R%&

ERL XTI,

RadialBasisFunction

use_partition 757 K574 =)V RRERSNDHE. ZOF
Ta3EET IR NEDT—FD
HABMETINVRERIHFEHINSLSICLE
KR
continue 777 WEEE T )L O & ik
objective Standard psm ZIEEICRKRENWT—F 2y MRS
Bagging . Server DEHENLETT,
Boosting
psm
method MultilayerPerceptron

use_custom_Tayers

757

first_layer units HofE
second_layer_units Al
use_max_time 757
max_time oAl
use_max_cycles 757
max_cycles KAl
use_min_accuracy 770
min_accuracy KAl
combining_rule_categorical Voting
HighestProbability
HighestMeanProbability
combining_rule_continuous Mean
Median
component_models_n Kot
overfit_prevention pct Al
use_random_seed 757
random_seed Al

missing_values

listwiseDeletion
missingValueImputation

use_model _name

boolean
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£ 127. neuralnetworknode 7C1/NT 1 — (B &)

neuralnetworknode 7'TI/NF ¢ — il Tang 1 —OHM
model_name S
confidence onProbability
onlncrease

score_category_probabilities 770
max_categories Bt
score_propensity 770
use_custom_name 770
custom_name X
tooltip XFH
keywords T
annotation ped
questnode ZO/NT 1 —

g QUEST /—RiZiE, T4 >¥a - VU —OBEMI2 DEOTTENHESNTHET,

%
J

o

T, KEEZR C&R VU — WA E & YUK 2 EHE 5 S [ERFIC. KD %< DHE
ZAREICT D ASMENESE SN D08 Y ) —NOHEN 2K T 2 XD IR S T0hET. A

N7 4=V Rid, BB #Ei) T TEEIA BELREh 73 —ThRFndan

T, TRTOHENL 2 4T,

1

node = stream.create("quest", "My node")

node.setPropertyValue("custom fields", True)

node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("model _output type", "InteractiveBuilder")

node.setPropertyValue("use_tree_directives", True)

node.setPropertyValue("max_surrogates", 5)
node.setPropertyValue("split_alpha", 0.03)

node.setPropertyValue("use percentage", False)
node.setPropertyValue("min_parent records_abs", 40)
node.setPropertyValue("min_child_records_abs", 30)

node.setPropertyValue("prune_tree", True)
node.setPropertyValue("use_std_err", True)

node.setPropertyValue("std err multiplier", 3)

#2128, questmode 7T/NT 1 —

questnode TN 1 —

firi

TaNT ¢ — D

target

74—k

QUEST EFTJVIH —~DXWR T 4 — Il RB X
N1 DUEDANTT 4 —IVREMALE

T, ERT =V RbBIFETEET, FHL
<iE. REw 169 XR=2 D T—fRi)75E|
FEER  — o7 o/)F 1 —1 5B L
TLES W,

continue_training_existing_model
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# 128. questode TONT 4 — (FEE)

HighestMeanProbability

questnode TTINTF 1 — fifi TNy 1+ —OHM
objective Standard psm IZIEFHICKREVWT —F Ly M E
Boosting 1. Server DEEHLINHETT,
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives 777
tree directives ezl
use_max_depth Default
Custom
max_depth i BRYU—FE 0 15
1000). use max_depth = Custom DFEITD
AMEALET,
prune_tree 777 F—=N=T 4y LWL DITYY—%H
ELET,
use_std_err 777 UAZIZBITDRRE BRERE) Z2ERL
EJC I
std_err_multiplier HofiE B AR
max_surrogates HofE e RAERE R
use_percentage 757
min_parent_records_pc HofE
min_child_records_pc Hofil
min_parent_records_abs HofE
min_child_records_abs Bl
use_costs 770
costs HiEk MG 7 085 1 —,
priors Data
Equal
Custom
custom priors ISy WEE(L 7 08T 4 —,
adjust_priors 757
trails Foft T—ANEREFINT DA HR—F 2 - E
TIVEL
set_ensemble_method Voting AT AV =B RDOT 7 )b MEG I —
HighestProbability e

range_ensemble_method Mean ARG ROT 7 4 )V MEEIV—)b,
Median
Targe_boost 750 FlcKREhT =42y bOT AT 14 27
ZEMALET,
split_alpha #fe DE OB B
train_pct Hofil F—=N—="T 1 v bBilkty b,
set_random_seed 757 WREBBEA a3,
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# 128. questnode 7T/NT 4 — (FEZ)

questnode TN 1 — il TNy —DHH
seed ofE

calculate_variable_importance 757

calculate_raw_propensities a4

calculate_adjusted propensities 757

adjusted_propensity partition Test
Validation

randomtrees Z70O/NF 1 —

T, TN VU= J—RiE BED C&RT /—RELTWETA, Ev T F— 2

LTH—~OVY —Z2ERTSHIEE2HMICRIINTE., BROETIVA SPSS Modeler /N
—Par 17 TEMENEZHIE -7 —ICERINET., TF L VU— J—RORERT
574 Vary YU—&EHALT, [FROBENEEZ FRUEZINETEET, ZOHKIIER
M T—YRKoZ2FHLTEEL I—-REEZDOE T AL MIREIL. &AT v T TAMMEZE
BARICMAZ LT, V) —D /) — RPN THDEEALNZDIE. /—RHICHHT5—AD
100% 28, MERT 4 =L ROBBEEDOHT T —IHEINZHEETT, HE 74— B

FUOANT 4 =)V R, BfE#iPH R~ 13073V — (HEM, EBFE. 7527) MEHTEE

T, TRTORIGE 2 BEITT 2 DOV T T IN—TDH),

i SN YU — J—RiZ, IBM SPSS Analytic Server I\ZHifi L TWAEHAICOAEHTEE

7 129. randomtrees 7 /NT o —

randomtrees TN 4 — i TUNT 1 — DB

target 74—V R TN V)= J—=RTIE. BT
B—OHR 74—V EBIT 1 DU EOA
74—V RPBEIZIRDFET, EKT 4
—JVREBEETEET, FHLIF FEY
7169 R=2 D T BNETIVIER / —|
[FoTONTF 14— ESELTIEI N,

number of models =i T BT BTIVIEEO B E LT
RKINDZETNORERELET,
sample_size e D CRHMIRT—% - v FELEET S

BRICINT #—<x > AZMEI®2I12IE. 2
DEENELLET,

handle_imbalanced_data 757 ETINOMBNREED T T 7 DIERTH
0. EXLULBWRRITHT 2EZEN LR
ROURDIEFITNS WGEEIL, T2
REETI2 0. ETFIICE > TEFIND
T—K ATy T BT TIRETIV
DRSE IR B e B2 ZRREMNH 0 £T,
AT —5 DUBEANTH L, £
FTNDIET 2HEE L WERO RN E E
0. XOBERETINNERSNET,
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£ 129. randomtrees 7O/NT 4 — (R Z)

randomtrees JE)NT 4 —

firi

Tans ¢« —o#Hm

use_weighted sampling

757

False D&, %/ — ROZEEII. R UMER
TEEAIENEINET, True DHE. £
BITIIEANT 5N, Z3UTS U TR
INET,

use_stepwise

ATy TIA DEOETIIEEZEHT S
MESIMERELET,

max_node_number

iz DY) —THEESND / — RORK
B ROPEITZOREBAD I ENTH
ENLHGLE. VY —OREREIELET,

max_depth

VU —DRKDOES, ZIUTET D ERE
13EIEL £

min_child_node_size

B — RONERBICT ) — RTHESIND
Lad—ROR/NEERELET. F/—R
KEENDZEITRBLI—-ROENZ T
THRELZHL DB DRNWESE, #I/—R
3ngEnE .

use_costs

757

costs

g

gt 7 a7 ¢ — BRE, FEEROMHE,
FHEN/ME, BLOaAX S (FHINIEL <
BWEHE) O 3 DOEOUARTY., BLF
Il ZRLUET,

tree.setProperty Value("costs", [["drugA",
"drugB", 3.0], ["drugX", "drugY", 4.0]])

default_cost_increase

none
linear
square
custom

PRSI L TOAAENTT .
OAAMTINCT 74V MlZEREL £,

max_pct_missing

B

WTNND AT D RIBMEDEIGNZ Z T
FELEEI D REVWEES. 2O ANIETRIE
INFEI., mAMEE 0. mAMEIE 100 T
ER

exclude_single_cat_pct

WENMADOH T T —ENZ ZTHRELZ
Lad—ROEIGX0OREWES, TDT 14—
V REERNETINVEBEN SIS NET,
B/MENE 1. R fElIE 99 TY.

max_category_number

74—V ENOAT I BN Oz
AZBHE. TDT 4 =) RIZET VRN
SERAMESNET, mAMEIE 2 T,

min_field_variation

R T 0 — )V ROEEREN ZDELD
INSWEE, TD T 4 =)V RITETIVHEE
MO EINET,

num_bins

T —% NHEGR AN THRRI NS 550
AMEAINET, ANTHLUTHERAT 2%
LW Ty ECORZEHRELET,
F7a iF 2. 4. 5. 100 20. 25. 50.
F7213 100 TT,
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regressionnode ZO/NT 1 —

A WRERS, 7= 28T 5 - RALHE FETH 0. PRSI E RO EO
B ENEBNRICT B ERELIIHEE S TEDH 2 LTk D FRETVET.

 Im—

H: %OV Y—ATIE, #UERE — M3 — RICESHA SN
FFICISRMET N EEAT2 I LeB80 LXT,

il

node = stream.create("regression", "My node")

# "Fields" tab
node.setPropertyValue("custom _fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use weight", True)
node.setPropertyValue("weight field", "Drug")

# "Model" tab
node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Regression Age")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping_method", "Probability")
node.setPropertyValue("probability entry", 0.77)
node.setPropertyValue("probability removal", 0.88)
node.setPropertyValue("F_value_entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)

# "Output..." section
node.setPropertyValue("model_fit", True)
node.setPropertyValue("r_squared change", True)
node.setPropertyValue("selection_criteria”, True)
node.setPropertyValue("descriptives", True)
node.setPropertyValue("p_correlations", True)
node.setPropertyValue("collinearity diagnostics", True)
node.setPropertyValue("confidence interval", True)
node.setPropertyValue("covariance_matrix", True)
node.setPropertyValue("durbin_watson", True)

% 130. regressionnode 7'/NT o —

TEIZE -S> TWET, 4%, i

regressionnode O/NF 1 — i TOINT ¢ — D

target 74—V KR EFETIVIZE—-ORRT 4 —I)L RBLD
1 DUEDANI 7 4 —IVRZFHLET,
BHAHT 4=V EBIRETEET., FL<
3. FEw 7169 XR=2 D TR ET

PUER ) — R 7 o)XF 4 —1 EsRL T

&N,
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# 130. regressionnode 7'/NT o — (¥EZ)

regressionnode 71X ¢ — i TanF 1+ —OHM
method Enter
Stepwise
Backwards
Forwards
include_constant a4
use_weight 770
weight_field 74—V K

mode

Simple (EA#H)
Expert

complete records a4
tolerance 1.0E-1 FIBUTIE—HIAGZ/HA L £,
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP : F flffEZR 2 H
useF usefF: F fEZ
probability_entry HofE
probability_removal Kot
F value entry oAl
F_value_removal HofE
selection_criteria a4
confidence_interval 757
covariance_matrix 770
collinearity diagnostics 757
regression_coefficients 770
exclude_fields 770
durbin_watson 770
model_fit 770
r_squared_change 770
p_correlations a4
descriptives 77
calculate_variable_importance a4
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sequencenode 7O/\F 1 —

1l

node
# "Fi
node.
node.
node.
node.
node.
node.

fﬁﬂ =2 A )—=RT, = rIyI)lin, TEIEEREENES T —FYNOTY I — 3

ot SV ERILET, FRITREAIEF CRIAEMICHETATL £y hOU X %,

w— S AEMOET, FlAE, EEAMTEDET IS — P x—TF O—2a  EEALE
BE, ZOBRIROWBARICS 2—E2 Y 7 U—AEBATIARMELNHOET, > —4 >

A+ J—RiZ CARMA 7V IT—>3 > )b=)b s 7ILITY XLITEDINTWSE=D, $h&R

B3 2 BPERIBIE T —r AN E N XY,

= stream.create("sequence", "My node")
elds" tab

setPropertyValue("id_field", "Age")
setPropertyValue("contiguous", True)
setPropertyValue("use_time field", True)
setPropertyValue("time field", "Datel")

setPropertyValue("content_fields", ["Drug", "BP"])

setPropertyValue("partition", "Test")

# "Model" tab

node.
node.
node.
node.
node.
node.
node.

setPropertyValue("use_model name", True)

setPropertyValue("model name", "Sequence test")
setPropertyValue("use_partitioned_data", False)

setPropertyValue("min_supp", 15.0)
setPropertyValue("min_conf", 14.0)
setPropertyValue("max_size", 7)
setPropertyValue("max_predictions", 5)

# "Expert" tab

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("use_max_duration", True)
setPropertyValue("max_duration", 3.0)
setPropertyValue("use pruning", True)
setPropertyValue("pruning value", 4.0)
setPropertyValue("set_mem_sequences", True)
setPropertyValue("mem_sequences", 5.0)
setPropertyValue("use _gaps", True)
setPropertyValue("min_item gap", 20.0)
setPropertyValue("max_item gap", 30.0)

#2131, sequencenode 7'T1/NT oA —

sequencenode JTI)NT 4 — i TaNF £ — DR

id_field 74— R = A s ®TIVEERT ST, ID T
4 —IVREZRETDLENRHDET, &5
A7 a TR 4 =)V RE 1 DBLE
DHNET 4 —IVRefaELET. HAT «
= RBEOEHT + — IV RIFEAL £
o FEL<IE. FEY IO XR=DD T
[ 72 ETIVER / — RO 7085 4 —1 |
EZRLTLZI N,

time field 74 —IVF

use_time_field 770

content_fields [fieldl ... fieldn]

contiguous a2/

min_supp Fofd
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# 131. sequencenode 7'T/NT 1 — (FE )

sequencenode J/NT 1 — fifi TONnF ¢ —DFH
min_conf KAl
max_size HofiE
max_predictions Al
mode Simple (E#f)
Expert
use_max_duration 770
max_duration Kofil
use_gaps 770
min_item_gap Kot
max_item_gap Ketl
use_pruning 777
pruning_value Kete
set_mem_sequences a4
mem_sequences BE
sirmnode 7O/7F 1 —
SLRM (HC#EEBEETIN) /—REFHTHEETINEMETE, B—F3080%H L »
F—AEMALTET Y Z2HEATLETINORFEZT 2 2 &<, ETIIVOBEEMD D 21T

ST EMTEET,

il

node = stream.create("slrm", "My node")
node.setPropertyValue("target", "Offer")

node.setPropertyValue("target_response", "Response")

node.setPropertyValue("inputs", ["Cust_ID", "Age", "Ave Bal"])

# 132, slrmnode 7°0/NT 4 —

slrmnode TN F ¢ — i TUNT 1+ — O

target 74—V R HWRT 4 —IV RIZHBEELII T ST
HLBENRDHVET, BT+ —)L FbiF
ETEET, FFL<E. hEv (69 X
o TN ETIER/ — RO 7T/
ErifesmLc<Ean,

target_response 74—V KR TITMTHDUENHDET,

continue_training existing model |77

target_field values 770 TRTHHY —ADTRTOfEZEMEH L E

kR
fEE L EZ IR L T,

target_field_values_specify

[field] ... fieldN]

include_model_assessment

757

model_assessment_random_seed

#fd

EHTHLILENDHD LT,
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132, slrmnode 7°O/NT 4 — (%)

slrmnode FTINTF 4 — il Fans 1 —o W

model_assessment_sample size Al EETHAULENHDET,

mode]_assessment_iterations poqE] RAEEL

display_model_evaluation a4

max_predictions Al

randomization HofE

scoring_random_seed Bt

sort Ascending FWZAAT7ERIFMENATTDEL S 2
Descending OF T 7 —INRINCERINDINEIFE L

7.
model_reliability 770
calculate_variable_importance 770

statisticsmodelnode Z7O/XF 1 —

Statistics ®F7 )+ /— RZ{#HT 5 L. PMML Z{/ERKT % IBM SPSS Statistics Tt = % E1T
LTF— 5 2B L O AT 5 - EATEET. 0/ — R F{ > A4 5N~
IBM SPSS Statistics @ I E—WHE T,

ZD/—ROTO/NT 4 —IZDOWTIE, 22 XR—=T D [statisticsmodelnode 7 /%7 1 —J [[CREEH ST
ij‘o

stpnode Z0O/XF 1 —

RpZefil 3 (STP) / —Rid, B —a> - 57—=%, FHHOANT 4 —IV R (FHIE). K
.{ T4 =V, BROHRT 4 =)V R2@AL XY, HO07—2 3 22, ZNENOHERD

BETIEEZRT T I OITDNERHVET, T—F&nthdsE, TOT—FZFEHLT.

MTHEHINSBRT—YNOEEOO T — 3 >O/RZEZEZ THITE X7,

#2133, stpnode 7'TI/NT o —

stpnode FONTF ¢ — FT—A1 FaNT 4 — D]
74—JVR] %7

target 74—V K ZAUIRHRT 4 —IV RTY,

Tocation 74— R ETINVOHNT 4 —)V R, HiFEZER] >
4 =)V FOHFFRIENET,

Tocation_label 74—V R Tocation TEIRINZFFRICT NI %
T BN TERSNS T
JU—AT 4 —IV R,
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# 133, stpnode 7O/NT 14— (FEZ)

stpnode 7 0O)XF ¢ —

F—H

Tans 1« —oHW

time field

71 —=IR

TETIORE T ¢+ —)V R, HEHOR
EEEDT =)L ROAFFITINE
9, AML—2 1 70%, K. B
ff. 4L 25T BEROWT N
THRTUTRD £H A,

inputs

[field] ... fieldN]

ANT 4=V EDY A b,

(WX 57

interval_type_timestamp

Years
Quarters
Months
Weeks
Days
Hours
Minutes
Seconds

interval_type_date

Years
Quarters
Months
Weeks
Days

interval_type_time

Hours
Minutes
Seconds

STP DR THHT DM A > T v
2 DIERRFFIC UL S E 75 Bl B 72 1D
DOHEZEHELET.

interval_type_integer

Periods
(B > F w2 A 74 —)VRD
BEDH, BHOARNL—)

T—% v b ELHT SR, EIRT
Z2HAIZ. EFTINOD time field &
LTERINZT 4 —IVEDA ML —
U AL TICE o TREBEDET,

period_start B

start_month January TTINNA 2T v 7 AMERZRAET 5
February HT9., #lAIE, March ICRREL72Y
March G, T4 vy FOBRWIOL 32— RN
April January ThdELESL, BT TR
May D2 DOLaA—REZFy LT 3
June AMNSA 2Ty 7 AERERBL £
July R
August
September
October
November
December

week_begins_on Sunday STP T —% M SAERR L 2Rl > 7
Monday w7 2 DB S,
Tuesday
Wednesday
Thursday
Friday
Saturday
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# 133, stpnode 7'O/NT 4 — (FEZ)

stpnode FO/NF 1 — F—& 1 TONTF 4 —DHH
days_per week B w/MEE 1 BORMENE 7. BEOEE 1
TT,
hours_per_day B 1 HOSH5T, TOETFIVINED B E;
M. BIAE, 10 ICRELESE. £
FIVIE day_begins_at DEFZIICHAGA S
N, 10 Kich > TA > 7w 7 AE
Rz filr. day_begins_at {HIC—%T
HROMBETAFY T LET,
day_begins_at 00:00 ETNDA 2T v 7 AEREBRIET S
01:00 Rl O 2 3 L E T,
02:00
03:00
23:00
interval_increment 1 Z O DEENT D F7ITRITHIE L
2 £9., 2. ETABT—FDA >
3 T 7 AVERLEBIIA T HALE & IRE L
4 £9. DEO. HEHN 30 THFKDOSY
5 1 7N seconds DFH. EFIIET—
6 YDA Ty AERZE 30 BT LI
10 FNET,
12
15
20
30
data_matches_interval Boolean IN%E N ICHETDHE, ETIVOEE
RIS, T— DN @ interval type
ICAMINET,
BHEDOT =4 N9 TIZIEL WBERIT A
S TWWT, interval_type &ZHICTE
HIDITNTORENT—FIC—8HL
TWAHEIF. T OBHSES N
EirIhhwkoic, Z2o7a/87«
—%& Y ITRELTLEI W,
ZO7ONT 4 —% Y IIRET D&,
TRTOEF D > b O— )L RN
DET,
agg_range default Sum ZAUd. EER T o — LV RICEREN
Mean 55774 )V OEFHiEERELE
Min T I—Y—4E DEFHIHEICE £
Max NTWRRWEFER T ¢ —)LRIZ, 22
Median WHRE L= L THEEINET,
1stQuartile
3rdQuartile

B 13 = ETIVER/ — ROTO/)NF 4 —
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# 133, stpnode 7O/NT 14— (FEZ)

stpnode FO/NF ¢ — F—& 1 Fans + —o0OHM
custom_agg [[field, aggregation &L T TN T ¢ —:
method], []..] AT K JNT A—H —: custom_agg
T PURicHZRLET,
[['x5' '"FirstQuartile']['x4' set :stpnode.custom_agg = [
"Sum']] [fieldl function]
[field2 function]
1
Z ZT. function 1. &7 4 —JVR
THEHAINSEEREEK T,
A 57
include_intercept 757
max_autoregressive lag B e/ME 1 BORMEN 5. B 1

TY, ZE. THNTHERDRETO L
O—ROEERLET, LS T,
Bl ZE 5 ICRE LSS LD 5
FOL a— RZMH L TH LW PRI
B ENET, ZZIRELEZ. B
K F—=mns0lL a1— RMEKE, 5
AR ENET, LR ->T,
— P —ZEFINDOAIAT Y > IHICT
— 5 B HERETILENH D X E
Mo

estimation_method

Parametric
Nonparametric

ZEISR N HATHIOE'T V) > U Tk,

parametric_model Gaussian Parametric ZERIFLIHIE T IV DIEFF /N
Exponential TA—H,
PoweredExponential

exponential_power e PoweredExponential T ILDNEF L

b H/ME 1. BRI 2 TY,
RE) 7

max_missing values B ETIIHNTIHFAISND, RE\MEZEFFD
L d— ROFEK/NN—t> M,

significance Bl ET IR BT D IKURGE DB EK
%, STP EFIVEE DT NTORE
Q2 DOBEEERE. PIR F BE. %
BT REZSD) ITEAT 26 BKE
EEfEELET,

Mh 47

model_specifications 720

temporal_summary 757

Tocation_summary a4 LR OERERNETINVHAICEEND
MEIMERELET,

model_quality 777

test _mean_structure a4

mean_structure_coefficients 757
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# 133, stpnode 7O/NT 4 — (FEZ)

stpnode FO/NF 1 — F—& 1 Fans+ —oOHM

autoregressive_coefficients a4

test_decay_space 720

parametric_spatial_covariance a4

correlations_heat map 720

correlations_map 770

Tocation_clusters 70

similarity_threshold el HLEOLEWE, ZOEZEBAD
& WMo A5 —OBEUER 73T
EWEHBIEN, 1 DDV TAY—IT
fmEINEd,

max_number_clusters B ETIVHACED DI ENTESLY T
A4 —O LR {E,

£5)NV FFvarv) #7

use_model_name a4

model_name XA

uncertainty_factor KAl /MBI 0. FRRfEIT 100 TY, 8
DOTENTHEH S N5 A REFEME FRE)
O¥EMEREL £9., Jiud, FHO
ERETFRTTY,

svmnode ZO/XT 1 —

= PBR—hk - RTY— 2> SVM) /—REHHATEHE, A—N—T 4w hTBHZ ERL,
e F—=5% 2 DO N—TONTNNIHET 5T ENTEET, SVM 1, FEHICERDOAN

T4 =)V REFUT =5ty b &, KHiRT -ty heUHTL I ENTEXT,

1

node = stream.create("svm", "My node")

# Expert tab

node.setPropertyValue("mode", "Expert")

node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("kernel", "Polynomial")
node.setPropertyValue("gamma", 1.5)

% 134. svmnode 7'O/NT 4 — :

svmnode 0N F ¢ — fifi

TaNT ¢ — OB

all_probabilities 7

4

stopping_criteria

1
1
1
1
1
1

L0E-1
.0E-2
.0E-3 (default)
.0E-4
.0E-5
.0E-6

BB 7 IV T XL WDE T %70
ZREL T,
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# 134, svmnode 7'T/NT ¢ — (#EZ) :

Validation

svmnode 7TI)XTF 1 — fifi FaNT £ —D3W]
regularization HofE CNTA=H—=LLTHHILNTNE
ED
precision e KT 4 —IV ROREMN Continuous
DHBEICOAMHENET,
kernel RBF (T 7 )L ) BRI END I — VB DY A
Polynomial =,
Sigmoid
Linear
rbf_gamma ot kernel 7% RBF DBFEFICOAMA TN
£,
gamma e kernel 7% Polynomial F7zld Sigmoid
DHBEICOAHENET,
bias Ml
degree 2fie kernel %% Polynomial DIFEIT DA
MAENEd,
calculate variable_importance | 7572
calculate_raw_propensities 757
calculate_adjusted_ 777
propensities
adjusted_propensity partition |Test

tcmnode ZANTF 1 —

REEREEETY > 7 T,

FR5IT — 5 WO EERRRBIROMIMAGITEINE T, KW

HEETY >/ Tl —HOWRRFNZIHEE L. TS DOHRRFNT ST 2 —HD A S %
RELET, TOK, 7O —I v =3, SRRRINIDOWTHCEIFGORRIIE T ) & HEH
L. HRERFEDEHERKEHBERFOANLZTEZERDAAET,

# 135, temnode 7/NT oA —

temnode FTIXT 1 — fifi TaNT 4 —OFW
custom_fields Boolean
dimensionlist [dimensionl ... dimensionN]
data_struct Multiple

Single
metric_fields 74—k
both_target_and_input [fl ... fN]
targets fI ... fN]
candidate_inputs [fI ... fN]
forced_inputs [fI ... fN]
use_timestamp Timestamp

Period
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Z 135, temnode 7'O/NT 4 — (W E)

tcmnode F0NT £ —

firi

Tans « —0HM

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod

period_field

XFS

period_start_value

B

num_days_per_week

B

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

X

start_hour_of day

Eisq

timestamp_increments

2224

cyclic_increments

Eicsq

cyclic_periods

list

output_interval

None
Year
Quarter
Month
Week
Day
Hour
Minute
Second

is_same_interval

Same
Notsame

cross_hour

Boolean

aggregate_and_distribute

list

aggregate_default

Mean
Sum
Mode
Min
Max
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135, temnode 7'O/NT 4 — (FEZ)

tcmnode JONT ¢ —

firi

Tans « —0#HM

distribute_default

Mean
Sum

group_default

Mean
Sum
Mode
Min
Max

missing_imput

Linear_interp
Series_mean
K_mean
K_meridian
Linear_trend
None

k_mean_param B
k_median_param b
missing_value_threshold B
conf_level Fiie
max_num_predictor B
max_lag B
epsilon #fe
threshold B
is_re_est Boolean
num_targets B
percent_targets B
fields_display list
series_display list
network_graph_for_target Boolean
sign_level for_target Kete
fit_and_outlier_for_target Boolean
sum_and_para_for_target Boolean
impact_diag_for_target Boolean
impact_diag_type_for_target Effect
Cause
Both
impact_diag_level for target B
series_plot_for_target Boolean
res_plot_for_target Boolean
top_input_for_target Boolean
forecast_table_for_target Boolean
same_as_for_target Boolean
network_graph_for_series Boolean
sign_level for_ series Hofl
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Z 135, temnode 7'O/NT 4 — (W E)

tcmnode TONT ¢ — fiti FONT £ — DB
fit_and_outlier_for_series Boolean
sum_and_para_for_series Boolean
impact_diagram_for_series Boolean
impact_diagram_type for_series Effect

Cause

Both
impact_diagram_level for series | %
series_plot_for_series Boolean
residual_plot_for_series Boolean
forecast_table_for_series Boolean
outTier_root_cause_analysis Boolean
causal _Tevels s
outTier_table Interactive

Pivot

Both
rmsp_error Boolean
bic Boolean
r_square Boolean
outliers_over_time Boolean
series_transormation Boolean
use_estimation_period Boolean
estimation_period Times

Observation
observations list
observations_type Latest

Earliest
observations_num B
observations_exclude B
extend_records_into_future Boolean
forecastperiods B
max_num_distinct_values B
display_targets FIXEDNUMBER

PERCENTAGE
goodness_fit_measure ROOTMEAN

BIC

RSQUARE
top_input_for_series Boolean
aic Boolean
rmse Boolean
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timeseriesnode 7O/X\T 1 —

UL & ARIMA (£721386250%0) BTV EHERIL., kO T3+ —< > 2O TR ZEERL £

ii} KRS — RIE. RERAID SIRECHRE. 1| ZEOH RSB E 9% (ARIMA). BX
o BERA — Rid, BHIX D/ — RICL > THRICETENDBENH D £7.

1

node = stream.create("timeseries", "My node")
node.setPropertyValue("method", "Exsmooth")
node.setPropertyValue("exsmooth model type", "HoltsLinearTrend")
node.setPropertyValue("exsmooth _transformation_type", "None")

£ 136. timeseriesnode 7°1/NT 4 —

timeseriesnode FT/NF ¢ — fili FONT £ — DB
targets 74—V R B —Rid, 7> a>

T 1 DDA 74—V
REFHEEE U THEAL 2N
5.1 D EOXET 4 —)
FEFPHILET, EHT 1+ —
IWRBXOEAT 4 —IV RiZ
FHLERAL. LI

FEw 7169 X—2 D T
W72 ETI)IVER/ — RO7 0
NT 14— EBRLTLSES

2

continue 750
method ExpertModeler

Exsmooth

Arima

Reuse
expert_modeler method 720
consider_seasonal 770
detect _outliers 720
expert_outlier_additive 770
expert outlier level shift a4
expert_outlier_innovational 770
expert outlier level shift 720
expert_outlier_transient 770
expert_outlier_seasonal additive 720
expert_outlier_local_trend 75
expert_outlier_additive_patch a4
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2 136. timeseriesnode 7TO/NT 4 — (FEZ)

timeseriesnode JT/NF ¢ — fifi TanT ¢ —OFHY
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p BE
arima_d B
arima_gq BE
arima_sp B
arima_sd B
arima_sq B
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant 7o
tf_arima_p. fieldname B HR R B RO
tf_arima_d. fieldname B HR X B RN
tf_arima_q. fieldname B HR B RO
tf_arima_sp. fieldname B HR IR BE RO
tf_arima_sd. fieldname B HR B EUH
tf_arima_sq. fieldname B HR R BN
tf_arima_delay. fieldname B HR Ik BEEOH
tf_arima_transformation_type. fieldname None HAkBAEON.
SquareRoot
NaturalLog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive 757
arima_outlier_level_shift 7o
arima_outlier_innovational 757
arima_outlier_transient 720
arima_outlier_seasonal_additive 790
arima_outlier_local_trend 720
arima_outlier_ additive_patch 70
conf_Timit_pct real
max_lags B
events 71— K
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Z 136. timeseriesnode 7T/NT 4 — (i Z)

timeseriesnode 7 O/NF ¢ — fifi

Tans 1« —0HW

scoring_model_only

%< (1 JTHAL) ORERFID
EFIVICHERALET,

treeas 70O/NT 1 —

&

Tree-AS / — Rid. IBM SPSS Analytic Server I[ZH#Hi L TWAEBICOAFEHTEET,
Tree-AS / — Rid. BIFD CHAID /— REQITWETA, Ev /T —FZUH L TH—-DY
V=BT 52 L2 NSRS TE D, #EROETIVA SPSS Modeler /N— a3 > 17
TEMEINZHENE =T —ICEREINET, 2D/ —RiZ. 1 2 THEFE (CHAID) %=ff
AL THRERBDEEZ/FETLHIET, T4PVary -V —&4RLET, CHAID 220D X
HSIFHHTHIET, JE 2 ply ) —2AERTEET. 2. 3 U EDT T FERKEDH
WENEFEHET DI EEZERLET, HRT 4=V RBEXOAN T 4 =)V RIT. EEEPE GHEpiR)
FZEIATITU—E720 F£9, Exhaustive CHAID |3 CHAID OEIEKT. RIFEMED & % 4)E|
TRTEHFANRD ZET, TOIWHREZESNETH, FHERMBELRD ET,

# 137, treeas 70/NT 4 —

treeas JONT 1 — il FONT 1 —D3W]

target 74 —JV R Tree-AS / — R Ti&. CHAID EFI)LICIZH
—DHET 4 =V RBEIT 1 DULEDAT
T4 = RINBEIZ/RDET, BT+ —
JIVRBHEETEET, F#LIE. FEYY
[l60 XR—=2 D T—RRIRETIVIER / — RD)
Foiz1—J EBELT<Ea,

method chaid

exhaustive_chaid

max_depth B BAYU—E 0 NS 20 774V ME
i35 TY.

num_bins =K T — & INEG AN TR S NS HEITO

AEAINET, AMTHLUTHERAT %
LW 7Ty ECORZEHRELET,
F7a id 2. 4. 5. 100 20, 25. 50.
7213 100 T,

record_threshold

= EFINTYY—2ERTHEZIT, p HD
FERNSHRT A AOFERICUDEZS L
d—R¥. 57 %)L MiE 1,000,000 T,
HEREIE 10,000 DEALTITVWE T,

split_alpha Hofti DEIDABKEE, ZDOMHEIE 0.01 225 0.99
ETTT,

merge_alpha ¢l EEOFERKYE, ZOMEIE 0.01 25 0.99
FTTY,

bonferroni_adjustment 757 Bonferroni A/ v R&fif L CTHEMREZ
A,
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137, treeas 7O/NT 4 — (i Z)

treeas FONT ( —

pARVAL R RO E:|

effect_size threshold cont

HERREF AT DHRIC ) — ROSEIB
KOHTITY OHEZEITONRT A AL &
WEZRELET., ZOfEIE 0.01 5
099 £TTT,

effect_size_threshold_cat

AT dVEBSREMHT DB/ — ROy

HBEIOHTIT) OEETOINRTA X

LEWEZRELET, ZOMHEIF 001 N5
099 £TTY,

split_merged_categories

X—=2 LT3 —OESEIZF ],

grouping_sig_level

J =R IN—TOREIEE IS ) —
R ORI FEERET DI SN X
kR

chi_square

pearson
likelihood_ratio

A 2 FRETOFEICHEA I NS HiE
(Pearson F 723 LELL)

minimum_record_use

use_percentage
use_absolute

min_parent_records_pc Hfie T 74V ME 2 T, B 1L R
100, 1> Z7UAXME 1 TY, BEZED
I FEEOME D KE < RFNIERD £
Ao
min_child_records_pc HfiE T74)V M 1 TY, BT 1L BRI
100, 1>Z7YUA> K& 1 TY,
min_parent_records_abs Bl T 7 4V MBI 100 TY. /MM 1. K
1000 A7 AR 1 TY, HibE
DEIFFREEDMEE D KE L RFIUERD
FH A,
min_child_records_abs HfiE T 74 )V MiE 50 TY. /S 1L K
1000 12 Z7UARME T TY,
epsilon Bl MrFE N5V ERDR/NE.
max_iterations HfiE IR D 723 D e K AR AL
use_costs a4
costs HEE gk 7087 ¢ —, BRIE, FEEROM,
FHISN/ZME, BEEIZA S (FHRINEL <
BWEE) © 3 DOEOY A NTY, BAF
2Bz R £,
tree.setProperty Value("costs", [["drugA",
"drugB", 3.0], ["drugX", "drugY", 4.0]])
default_cost_increase none A JEFRARICH L TOBEN T,
Tinear JAMANCT 74 MEZEZRELET,
square
custom
calculate _conf a4
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£ 137. treeas 7O/NT 4 — (% Z)

treeas FONTF ( — ifi

TaNRT 1 —DFW

display rule_id a4

T4 —IVRN 1 DA77 AIEN
SNETH, TNUIHELI—REED ST
5% —3F) - J—RIZID ZRI7=DHD
HDTT,

twostepnode ZO/NTF 1 —

./"H‘x' TwoStep / — RT. 2 BED Y I 25 — (b FENMEHEINE T, RIDAT v T TIE, 7%
’-.%?@; B EEBEET. KO AN F— b R BT RE—OH T ) 5 A — L E T, 2

ZHOZAT Y T TIX, WEZ 925 —bFEEHEHLT, YT I A —2LORERITA
=TS I TVWEET, TwoStep I21&. #E T —FITHxii/ny 7 A5 — & BBINICHEE
TDENWIHEDBHDET, £, T4 —IVR - ¥A TORECKRET—% - 2y FHEIR

F<UETEET,

il

node = stream.create("twostep", "My node")
node.setPropertyValue("custom fields", True)
node.setPropertyValue("inputs", ["Age", "K", "Na", "BP"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_model name", False)
node.setPropertyValue("model_name", "TwoStep Drug")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("exclude outliers", True)
node.setPropertyValue("cluster_label", "String")
node.setPropertyValue("label prefix", "TwoStep ")
node.setPropertyValue("cluster_num auto", False)
node.setPropertyValue("max_num_clusters", 9)
node.setPropertyValue("min_num _clusters", 3)
node.setPropertyValue("num_clusters", 7)

£ 138. twostepnode 7TI/NT A —

twostepnode F TN 1 — i FANT £ — DR

inputs [fieldl ... fieldN] TwoStep ETINIHMERT 4 —)L R T2 <,
ANT 4=V ROUAMEMEALET, &
BT 4= RBEOERT ¢ — )b IR
ENFRA. F#L<LIE hEw 2 [169 X
DO TR ET)IIVIER / — RO 7 1)y
14—l EsRLT<EIN,

standardize 770

exclude_outliers 770

percentage Bl

cluster_num_auto 770

min_num_clusters Ketg

max_num_clusters Kofil

num_clusters Ketl
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# 138. twostepnode 7/NT o — (#EZ)

twostepnode FTI)NF ¢ — it FONT £ — DB
cluster_label String
Number
Tabel prefix ped
distance_measure Boolean
Loglikelihood
clustering_criterion AIC
BIC

twostepAS D7 O/NT 1 —

7 139. twostepAS D T /NT o —

TwoStep 7 7 AY —Id, WHEIXIZ->ZED LW, F—F vy NNTOHZRR I —T1 (£
37 5A5—) ZHEICT 5T EEHMNE L TREIESNIHERY - TT, ZOFHE THEA
INBHTIVTY XL, WROYZ FAZY) > T FEEIZERB DU TFOENZRENH 0 ET
(FTT)—EEBIOHGERONE, 7 I A5 —HOHEER, 25— 7 172E),

twostepAS DT TINT 1 — fifi TONTF ¢ — D
inputs [fI ... /N] TwoStepAS EFIVIIATT 7 1
—IVROUZAFZEFEHLET
N MRT 14—V RIEHAL
FHA. EAHT IV EBX
OEHT « —)b RiFE8sk s N
EQcW R
use_predefined roles Boolean 7 7 # )l h=True
use_custom_field_assignments Boolean T 7 # )l h=False
cluster_num_auto Boolean 7 7 % )l b =True
min_num_clusters B T 74 k=2
max_num_clusters I T 7 %) h=15
num_clusters B T 7 4 ) k=5
clustering_criterion AIC
BIC
automatic_clustering_method use_clustering_criterion_setting
Distance_jump
Minimum
Maximum

feature_importance_method

use_clustering_criterion_setting
effect_size

use_random_seed Boolean
random_seed B
distance_measure EucTidean
Loglikelihood
include_outlier_clusters Boolean T 7 # )b h=True
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# 139. twostepAS D T O/NT 1 — (FE )

twostepAS DT TINT 1 — fifi TOaNF ¢ —DFH
num_cases_in_feature tree leaf is_less than |%&%L 77 4)V k=10
top_perc_outliers BR T 7 %)V b=5
initial_dist_change threshold B T 74V k=0
Teaf_node_maximum_branches BR 77 4)) =8
non_leaf node_maximum_branches B T 7 %)V b=8
max_tree_depth R T 7 A4 k=3
adjustment_weight_on measurement level B T 74 ) h=6
memory_allocation mb ol T 74 k=512
delayed split Boolean 7 7 )V h=True
fields_to_standardize [f1 ... fN]
adaptive_feature selection Boolean 7 7 )V h=True
featureMisPercent R 77 4V F=70
coefRange o fili F 7 )V +=0.05
percCasesSingleCategory BE T 7 4 )V k=95
numCases B T 7 4 ) h=24
include_model specifications Boolean T 7 # )l b =True
include_record_summary Boolean T 7 # )l h=True
include_field_transformations Boolean 77 % )V h=True
excluded_inputs Boolean T 7 # )l h=True
evaluate model quality Boolean 7 7 )l h=True
show_feature_importance bar chart Boolean 77 # )l h=True
show_feature_importance_ word_cloud Boolean 7 7 )l h=True
show_outlier_clusters Boolean 7 7 %)V b=True
interactive_table_and_chart
show outlier_clusters pivot table Boolean 77 # )l h=True
across_cluster feature importance Boolean 7 7 4 )V N =True
across_cluster profiles pivot_table Boolean 7 7 )l h=True
withinprofiles Boolean 77 4 )V N =True
cluster distances Boolean 7 7 4 )V h=True
cluster_label String

Number
label_prefix String
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FTB14E ETIN-FFyb-/—FRoF7ansrq1—

EFN-F Ty bh - J—RiE o/ —REFRCHKBEBOTONT 4 —2HAELTNET, FLIE. ME
w16 R=2@ THED ) — R - 70/)8NF 4 —] EBIRL T 7230,

applyanomalydetectionnode ZO/\F 1 —

R EREET IVER / — RZHEHL T, BEERIBETIV - F 7y hEERTAHIENTEET, ZOE
TV F7y SDOAZ Y T N applyanomalydetectionnode T o ETIAERR / — REED A7 U 7 LD
AL, (170 X—2 D Tanomalydetectionnode 7 [1/NF 1 —J |&SHL TS S0,

Z 140. applyanomalydetectionnode Ta/NT 4 —

applyanomalydetectionnode TN F ¢ — | fi TansF ¢ — DM

anomaly_score_method FlagAndScore Aa7 U TR, fERESNA kD ET,
FlagOnly
ScoreOnly

num_fields s WETDH7 40—V REL

discard_records 757 Ld— RO EESNLINESNERLE

ER
discard_anomalous_records 757 RV OA— REERT S0, £IZERE THN

L O— REEFERTINOEH. 77+ NI B
WTRY LI—RPERIND I LEERT off
T9., FHTHL. on DEEIL. Bl I—
RMBEEINET, 2070871 —Id.
discard_records WEMRIGEITIET, BRI
DET,

applyapriorinode ZO/XF 4 —

Apriori ETIVER / — RZEHAL T, Apriori EF)V « F7 v hEERTHIENTEET, ZOETI -

F7y NDAZ )T N, applyapriorinode T o BT IVIER / — RBERD A7 U 7~ O,
[ @ Tapriorinode 7' 0/\F ¢ —J S T ZX W,

# 141. applyapriorinode 7' T/NT 1 — :

applyapriorinode 7'0/NF ¢ — il FOANT £ —DHW
max_predictions i (EH)
ignore_unmatached 720
allow_repeats 770
check_basket NoPredictions
Predictions
NoCheck
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# 141. applyapriorinode 7'0/NT o — (i)

applyapriorinode 70N ¢ — fifi TaNT ¢ — D
criterion Confidence
Support
RuleSupport
Lift
Deployability

applyassociationrulesnode ZO/XF 1 —
7T —ar =) EFIER// —REFHLT, 7V IZ—ar V=) EFIN Ty NEE
JRITBHIEMTEET, ZOETI 7w hDAT YT NI applyassociationrulesnode TS o ETIVE

R/ — REMEKEZ 7 1) 7 MET 2 HEIZDNWTIE, 172 X—2 D Tassociationrulesnode 7 /X7 4 —] [&%
LT 7ZE0n,

% 142. applyassociationrulesnode 7'H/NT o —

applyassociationrulesnode 7’0

NT 1 — T TaNT 1 —DFW]
max_predictions B Z2ATIZRTBEANHEHATE DI —ILDRK
.
criterion Confidence =)V DEREZ T 5 7= DR EZRIRL £
Rulesupport ER
Lift

Conditionsupport
F7AATEUT 4 —

allow_repeats Boolean FCTFHZREDI—ILEZAITNICEHEDZNES
MERELEXT.
check_input NoPredictions
Predictions
NoCheck

applyautoclassifiernode ZO/\F 1 —

HEIHEETIVER — REEAL T, BBDEETI - 7y hE2ERTLIENTEXT, ZOET
Ve F7y bR )T N, applyautoclassifiernode T3 o ETIVERR / — RO A7V 7 MEDFEM
&, 175 X=2 @ Tautoclassifiernode 7 H/NT « —J B L T EI W,

72 143. applyautoclassifiernode 7 /NT A — :

applyautoclassifiernode 7'\ F ¢

- firi FanNF 1+ —DOFHH

flag_ensemble_method Voting TIHTI e AT BIRET BH720D
ConfidenceWeightedVoting AT 2 hEZRELET. ZO%
RawPropensityWeightedVoting ENL, BIRINEMZENT 78T ¢
HighestConfidence —IVRTHLH2HEHICOHEHINE
AverageRawPropensity 7,
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7 143. applyautoclassifiernode 7' 0/NT 1 — (Fi &) :

applyautoclassifiernode 7'E/NF ¢
- fifi TaNT 4 —OFW
flag voting tie selection Random B AENRREI N GEG. TR R
HighestConfidence DIRRFIEERELET, ZORE
RawPropensity 13, BIRSNZMENT T 78T 4 —
IWRTHALEEITOABEHINET,
set_ensemble_method Voting ToH T AT BIRET H720D
ConfidencelleightedVoting WKHEMT2HEZREELRT. 0K
HighestConfidence ELL BRI N/ E Ny T ¢
—IVRTHLHEBICOHEHINE
ER
set_voting_tie selection Random ERAENEIR S NI 5E. TSR
HighestConfidence OffRFGIEEEELET, ZORE
W BIRSNERMENREET +—)b
RTHHLHICOABEHINET,

applyautoclusternode ZO/\T 1 —

HEN A5 — - ETIAER/ —REFHL T, BBV 9AY— - &) - FTy hEERTZIENTE
F9, ZOETI - FFy hOAZY T NI applyautoclusternode TS o ZDETIV « 747w EOMO

TONT 4 —EZH0FETA. ETIVER S/ — RAKRD AT U7 SO, (177 X—2 @ Tautoclusternode]
DoRTs—iEsRLTIEIN,

applyautonumericnode 7 O/XT 1 —

HEEET IVER / — RZHEHAL T, BHEMEET IV - 77y FEERTLZENTEET., ZOET
e Ty NOAZ YT N4, applyautonumericnode T . BT IWERR / — RD A7 1) 7 MEDFERIE.
[179 "= @ Tautonumericnode 7 H/NF 4 —1 |2 L T Z 30,

# 144. applyautonumericnode 7' 1/NT 1 — :
applyautonumericnode J'ONF ¢ — | fii Tans . —DIiN

calculate standard error a4

applybayesnetnode Z70O/X7F 1 —

NAX +Fy FNT—=0 « BEFTIUER / — REFHL T, XA X -2y 8 T—7 - EF)V - 77y FEERT
HZENTEET, ZOETIV - Ty FOAY U T A, applybayesnetnode TY o ETIVERR / — R
EHARDZ 27U 7 S OFEMIE. [180 XR— D Tbayesnetnode 7 H/NT 4 —] [EBMRL T 7Z3 W,

7 145. applybayesnetnode 7' 1/NT o — :

applybayesnetnode F'O/NF ¢ — i FTans ¢ —OHY
all probabilities 757
raw_propensity a4
adjusted propensity 757
calculate_raw_propensities 757
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7 145. applybayesnemode 7'T0/NT o — (§i &)
applybayesnetnode 7T/XF ¢ — i TNy —OHM
calculate_adjusted_propensities a4

applyc50node 7O/XF 1 —

C5.0 ETIAER/ — REMHL T, C50 €TV - 77y bEERTLIENTEXT. ZOETIN - F7
v NDZZ YT NI applycSOnode T, ETIVIERR/ — RBERD A2 1) 7~ OFEHIZ.
[ FcS0node 70/ 5 ¢ —J [EBHL T ES W,

# 146. applyc50node 7" 1/NF 1 — :

applyc50node FE/NF 1 — ifi pARVAL PRSI0 B

sql_generate Never =)ty NETREO SQL &RA 7T a >
NoMissingValues DFEIWHEHL £,

calculate_conf 757 SQL ERRMNEENITIE o TWABFITFIAT

EET, ZoTaNT 4 —ITid, EkE i
V) —HOMEEEFGENEENTNE
ER

calculate_raw_propensities 770

calculate_adjusted_propensities a4

applycarmanode ZO/XF 1 —

CARMA EFIUERL/ — RZf#HL T, CARMA EF)L - 77y h&ERT2IENTEXET, ZOET
o F7y SOAY )T M. applycarmanode TS o ZOETIV + Ty hOMO T O/NT 4 —13H D
FHA. ETIER, — REEOZZ U 7 SO, (183 R—2 D Tcarmanode 7' 1/8T ¢ —J [EBHEL
T<7Za W,

applycartnode ZO/XF 1 —

C&R Tree ETIIERZMEHL T, C&R Tree ET ) - F7 v hEERTHIENTEXT, ZOETI)L -
Ty FOAZ YT N4, applycartnode T o BT IAERL / — REAKD A 1) 7 ~ OFFAHIE.
[ D Tcartnode 7 0/NF 4 —J SR L T30,

# 147, applycartnode 7'O/NT 4 — :

applycartnode FO/NF ¢ — fifi FONT + —DIW

sql_generate Never =)ty NEFREO SQL &4 7T a
MissingValues DFFEIWHEHLE T,
NoMissingValues

calculate_conf 757 SQL ERRMENTIR > TWAEEICHAT

EET, ZoTaNT 4 —ITid. AT
eV ) —h OREGEIENE ENTNE
ER

display_rule_id 730 T4 —=)VRN 1 DAAT7 YU B
INFETN, ZUIKL I REEDHT
55 —3F) /J—RIZID ZRT72DD
HDTT,
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# 147, applycartnode 7T/NT 4 — (§£ ) :

applycartnode FO/XF ¢ — fii TanF 1+ —OHM

calculate_raw_propensities a4

calculate_adjusted propensities 750

applychaidnode Z70O/X5F 1 —

CHAID EFI)UERR/ — R&MHL T, CHAID £F5)b « F5 v h&ERTHIENTEET., ZOET
Ve Ty NOAY )T N, applychaidnode TS o ETIVIERR / — REARD A2 ) 7 S OFEMIIE. (187
[R—=>® Tchaidnode 7'00/8F 4 —J BB T 7ZI W,

& 148. applychaidnode 7'0/NT 4 — :
applychaidnode Properties fifi TONNT ¢ — DI

sql_generate Never
MissingValues

calculate_conf 770

display rule_id 757 T4 —=IVRN 1 DA77 > 7HIITEN
ENKIN, INREHELI-FZEDHT
H5—3F) /=R ID 2RI DD
HDTY,

calculate_raw_propensities 777

calculate_adjusted_propensities a4

applycoxregnode ZO/XTF 4 —

Cox ETIAER// —RZHEHAL T, Cox EFTI + F7y "EERTHIENTEET, ZOETIV - T4

v DAY T M. applycoxregnode TS o ETIERR/ — RAKDZ 7 U 7 s OFAIZ.
[D Tcoxregnode 7 T1/NF 4 —1 |EBIRL T Z3 W,

7 149. applycoxregnode 7 11/NT 1 — :

applycoxregnode TIN5 — fifi TanNT ¢ —DHH
future_time_as Intervals
field
time_interval EofiE
num_future times B
time_field 74—k
past_survival time 74 —IVFR
all _probabilities 727
cumulative_hazard 720
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applydecisionlistnode Z7O/\7 1 —

T4Yar - UAR - BTIMER S/ —REFHALT, T4>Pa>-UAL-ET)V - F7y MEERT
HZEMTEET, ZOETI - Ty NOAT )T MR, applydecisionlistnode T9 o ET IVIERK / —
REEDOZZ Y 7 N OFEIE. 191 X—2 D [decisionlistnode 7 H/NT 4 —J [JEBHL T ZI W,

7 150. applydecisionlistnode 7 /NT 4 — :

applydecisionlistnode 70N ¢
- i TUNT 1+ — D

enable_sql_generation 750 BICRELEEEZ. T4 Yar-UA
K EFIVH SQL ANTwaN\w 7 EINb
£ 512 IBM SPSS Modeler 2%i{TL £7

calculate_raw_propensities 770

calculate adjusted propensities 757

applydiscriminantnode Z70O/X5F 1 —

HP D ETIVER /) — REMERHL T, A HETIV - 77y bEERTHIENTEET, ZOET
W Ty DAY T SR applydiscriminantnode T o ETIERR / — REERD A7 U 7 N OFEM
1, [192 X=2@ Tdiscriminantnode 7087 4 —J [BHL T &S,

# 151. applydiscriminantnode 7" /NF 1 — :

applydiscriminantnode 7O/NF ¢
- fid TONT 4 — DM
calculate raw_propensities 757

calculate_adjusted_propensities 770

applyfactornode Z7O/XF 1 —

RTDETIER /) — RZFER LT, BTF2IETIV - 77y bEERTHIENTELY, ZOET
W Ty NOZAY )T NI applyfactornode T ZOETIV - F NOMO T TINT 4 —1dH D

FtHh, ETIVER/ — REEKRDZZ U7 SOFMIZ. (194 X—=2 D [Tfactornode 7 0/NF ¢ —J [&#SHL
TLEEW,

applyfeatureselectionnode 7O/\F 1 —

T4 —IVRERETIAER / — FZ2FALT, 74—V RERETIN - 7Ty FEERTHIENTEE
T ZOETIV - FTy SOAT U T AL applyfeatureselectionnode TS o BT IVIER / — REKD A
7)) 7 N OFE. (195 X—=2 D Tfeatureselectionnode 7 /8T 4 —J BB L T ZI W,

# 152. applyfeatureselectionnode 7°1/NT 1 — :

applyfeatureselectionnode 7'0/¥

TA— firi PA=VAV R GOk 1|

selected ranked fields ETI) - TIUF-—NTHREINS T >
MHEDT 4 -V REHELET,

selected_screened fields ETN - TIUHF—NTHRESND AV Y
—Z2TINET IV REREL LT,
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applygeneralizedlinearnode 7 O/XT 1 —

—ALERAEL (genlin) ETIVIERR / — RZMHEHL T, LR ETIV - F7 Y NEERTHIENTEE
T, ZOETI - Ty DAY )T AR, applygeneralizedlinearnode T3 o ETIERK / — REKRD A
70 7 NOFEE. (197 X—=2 @ Tgenlinnode 7 0/NT 4 — ] [EBIRL TSI,

7% 153. applygeneralizedlinearnode TONT o4 —

applygeneralizedlinearnode 7'TI/)¥
TA— fifi ZTONTF ¢ —DFiA

calculate_raw_propensities 777

calculate_adjusted_propensities a4

applygimmnode 70/X5F 1 —

GLMM EFIUERR/ — RZfHL T, GLMM £F)L - 77y hEERTHIENTEEY, ZOET
W Ty O YT NI applyglmmnode TS o ETIVERR / — RE/ARDOZ 7Y 7 S OFEIIZ, 01
[X=>® Tglmmnode 7 0/NF 4 —J [FBIRL T ZE W,

# 154. applyglmmnode 7'/NT 1 — :

applyglmmnode 7ENF ¢ — fifi FaNT 4 —DFW
confidence onProbability Aa7 Y T OREEEEFIET 2 &b
onlncrease FBWTHIRER, £23RbEW TR S
2 FHICEWTHIRER EDZE).
score_category probabilities 750 True ICRRESINZHEE. H73Y =50

FHEREZERLET, hFdU—T&IC
T4 =V RDMERRENE T, T 73 M
False TY,

max_categories B WHRZTNT LTI —DHRKETT,
score_category_probabilities 7% True @
LEICOBREAINET,
score_propensity a4 True IKRESNIZH/E. 777G %E
DETIVICH LT, RFREEmZ D7

( True) ORROMER) ZEKLET. T—
YRGS E, TAL - T =5 X5
IZHEEDWT, FRBRAEMA DT HAERL
F¥9. 774J)VhiI False TT,
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applygle 7O/ 1 —

GLE ETI)UER / — RZ#HL T, GLE 7))V 77 v hE2ERTEET, ZOETIN Ty hOAT Y
7N applygle TS . BT IVER / — REAKRZZ 7Y 7 MET S HEICDONTIE. 04 X—=2 D Tl
TERs7 1L T< F o,

#2155, applygle 7'0/NT 1 —

applygle 7ONF ¢ — it pA=VAL R RO i
enable_sql_generation udf AR —=LFTHD SQL ERA T a %
native RETHEDIHHLET, T—FXR—2

I27 w22 )Ny 7 LT SPSS Modeler Server
Scoring Adapter ZfEALTAa7 Y > U7
LM (AAT YT TETINRA LA b=
WEHBDT—5 N— IR L T\ DY
). SPSS Modeler N CAO7Y ) > 74 %
MZEZINL £,

applykmeansnode Z0O/XT 1 —

K-means 7 )VERR / — RZHEHL T, K-means ET )V + 77w hEAERTHIENTEXT., ZOET
W Ty O YT SR applykmeansnode TS o ZOETIV « F7w OO T/ T 4 —1dH D
FHA. ETIER, — REEDOZ 7 ) 7 SO, 209 XR—2 D Tkmeansnode 7' 0/\F 1 —J [ 51
LTS,

applyknnnode Z7O/X5 ¢ —

KNN EFI)UER/ — RZHHL T, KNN E5)V - F7y FEERTLIENTEET, ZOETI - F
7w NDAY YT N4, applyknnnode T, BT IERL / — RERD A7 U 7~ OFEMIE.
[D Tknnnode 7T1NT 4 —J B L TSI,

7 156. applyknnnode 7°11/NF 4 — :

applyknnnode 7'TI)XF ¢ — fifi PA=VAL R RNl
all_probabilities 770
save_distances a4

applykohonennode ZO/\F 1 —

Kohonen EFIVIERL / — RZMH L T, Kohonen EFT IV« 77w FEERTHIENTEET, ZOET
W Ty O YT NI applykohonennode TS o ZDETIV « F47w OO T TOI/NT 1 —1dH D
FtH, ETIVER/ — REEKRDOZZ U7 NOFMIZ. (182 X=2 D [c50node 7' 0/NF ¢ —1 [&#SHLT
<7Za,
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applylinearnode ZO/\F 1 —

WIETIER / — REMEAL T, MBETIV - Ty FEERTZIENTEELT. ZOETIV - FF Y

DAV T AR applylinearnode T o ETIVERR / — REKDZ 7 U 7 s OFEMI.
[ Mlinearnode 7' 001/\F ¢ —J BB L T 7ZI W,

# 157. applylinearnode 7'11/N7 4 — :

linear FONF f — fiid TaNT 4 — D
use_custom_name 757
custom_name S
enable_sql_generation 770

applylinearasnode 7O/XF 1 —

Linear-AS ETIUE / — K2 L T, Linear-AS EF7 ) 7w h2AERTEET, ZOETIL T4y

NDZAZ YT N4 applylinearasnode TS o BT IVERR / — RAKRD A7 U 7'~ OFFMIE.
[ Tlinearasnode 7' T1/XF ¢ —J JEBHRL T2 E W,

# 158. applylinearasnode 7°1/NT 1 —

applylinearasnode JONF 1 — it TONTF ¢ —D 3
enable_sql_generation udf F7 4 )l M#lZ udf TT,
native

applylogregnode ZO/\F 1 —

OPAT 4w ZEFBETIAER/ — REFEHL T, 0P A5 v ZERETIV - Ty NEERT S EN
TEET, ZOETIV - Ty hDOAY )T NI, applylogregnode TS o T IVERR / — RBIRD X2
U7 ORI, 15 X—=2 D Tlogregnode 7 0/NT 4 —] BB T 7ZI W,

# 159. applylogregnode 7' 01/NF ¢ — :

applylogregnode 7O/NF ¢ — 1#i FTans « —oHM
calculate raw_propensities 757
calculate_conf 770
enable_sql_generation a4

applylsvmnode Z70O/XF 1 —

LSVM ETIUER / — REHEHAL T, LSVM EF) - 77 v hEaERTHTENTEET, ZOETIL -
T NDAY )T N applylsvmnode T o BT IAER / — REWKZZ 7 U 7 MET B HIEITONT
1. 220 R=2 D Tlsymnode 7 O/NF ¢ —J &SR L T ZS W, LSVM EFI)LERK / — Rid. IBM
SPSS Analytic Server IZ#2fi SN TWNW5SH EESITHEITINET,

2 160. applylsvmnode 7'T/NT 1 —

applylsvmnode 70/NF ¢ — fifi Tany 1+ —0OHM
calculate raw_propensities 777 RFABMEMA DT Z3HH T 2N ESINEEEL
ES

>
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2 160. applylsymnode 7 T1/NT o — (W)

applylsvmnode TN F ¢ — fili TONT £ — D3]
enable_sql_generation udf Scoring Adapter (-f > A b =)L INTWVBHH)
native EERERIZS 7oA TRaAT) > TT5
N T—IR—ZOHNETAIATY > TT DM
ZHRELET,

applyneuralnetnode 7’0O/8F 1 —

Za—I) 2y T—=T - BETFIMER S — REFAL T, Za—F) - Fxy  T—2 - EF) - F5 v b
BHERTHIENTEET., ZOETIV - Ty SNOAY U T NI, applyneuralnetnode TY o ETIVE
R/ — REKRDOZ 7 )T SOFENZ. 21 =2 D [neuralnetnode 7 H/5T ( —J EBRL T ZS W,

HER: WaELRSNHLWN—2a 022 —F ) Fxy hT—20 F5y MR ZOU Y —XATHEHT
ZET. FHILWLUWN=23 DWW TIXROIETHB LU £ (applyneuralnetwork). LARTDIN— 3 IBTE
HHEHTEETN, AVUTRE2EFLTHLWOWN—Ya 2T 228D LET, HN—Ya >
Dl Z AR L THBO £, 2T 20K — MISGEROU U —ATREIEESNET,

# 161. applyneuralnetnode 7' /NT 1 — :

applyneuralnetnode 7T/ F 1 — it Tans ¢ —n 3

calculate_conf 750 SQL AERNENT Iz TWBEEICFIHATEE
I, ZOTONT 4 —IZid. ERkEIniey YU —
HOMGEGENGENTVNET,

enable_sql_generation 770

nn_score_method Difference
SoftMax

calculate_raw_propensities 770

calculate_adjusted_propensities a4

applyneuralnetworknode ZO/\TF 1 —

Za—=I)N Xy hT—=7 - EFTIAMER/ — REFERALT, Za—I) - Xy hI—2 - EFT) - F7 v b
BERTHIENTEET, ZOETIV - Ty FOAY U T N, applyneuralnetworknode T9 . ET

JWVERL / — REWERD A7 1) 7 b OFEIE. 223 X—2 @ Tneuralnetworknode 7' /8T ¢ —J BB L T
I,

# 162. applyneuralnetworknode 7°/NT o —

applyneuralnetworknode TIN5 ¢
— fiid TanNF ¢ — O]
use_custom_name a4
custom_name X
confidence onProbability
onlncrease
score_category probabilities 757
max_categories Ketg
score_propensity 777

258 IBM SPSS Modeler 17.1 Python AZ ) T h&FA—hA— 3>« i1 R




applyquestnode ZO/\F 1 —

QUEST EFIUER / — RZfHL T, QUEST £EF)V o v hahkdHIEMTEET, ZOET
e Ty RO Y T N4 applyquesmode TS o BT IVERR / — REAKRDZ 7Y 7 s OFEAIZ.
[X=2 @ Tquestnode 7' 0/NF ¢ —J &SI TI I,

7 163. applyquestnode 7°T1/NF 4 — :

applyquestnode JTIXF 1 — il pA=VAL R RO ]|

sql_generate Never
MissingValues
NoMissingValues

calculate_conf 777

display rule_id a4 T4 —=IVRMN 1 D237 > HEITEMN
SINFITMN ZNREBKLI—-FZEEHDYT
55 —=3F) - J—RITID ZRT7HD

HDTI,

calculate_raw_propensities

calculate_adjusted_propensities

applyr 70O/XF 14 —

R fEp/ — RZE#HLT. R €T - FT Yy hEERTZIENTEET, ZOETIN - FT Yy DAY
U7 N3, applyr T8 BETIVER/ — REAROZZ7 ) 7 N OFEMIZ, [181 X—= @ Tbuildr 7 0/%F 1]

FilezmEL TN,

164, applyr 7 /NT 4 —

applyr 70O)NXF 1 — i TONT ¢ —DFM
score_syntax A ETI)N - AAT7VTHD R AT
ThHVIA,
convert_flags StringsAndDoubles TITRIT 4 — IV REEMT H720D
LogicalValues FFa,
convert_datetime 777 HATE R £ 7213 B AR D25
Z R OHAAMABRICEIRT 5720
DA Tar,
convert_datetime class POSIXct HATE N E 7213 B AR 2 D285
POSIX1t DO5E, EOWROER &L 5
BIRETDHODOF T a,
convert _missing 770 RiEfEZ R O NA HICEHT 5729
DFTa,
use_batch size 777 Ny TR Z M ATTREIC L £ T
batch_size B ENYFIZEDZHT—F LI—RD
BREWRELET
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applyrandomtrees ZO/NF 1 —

G L V)= EFIMER S —RE#ALT, 5254 VU= EF) S5y bEERTEET, 20
TN Ty OAT )T AT applyrandomtrees TS o BT IERR / — REAKRE A7) 7 MET 5 Hik
IZOWTIE, 227 R=2 D Trandomtrees 7 1/NT 4 —] [EBIRL T 230,

2 165. applyrandomtrees 7°0/XT o —

applyrandomtrees 7'TNF 1 — it TONT ¢ — D3
calculate_conf a4 ZO7ONT 4 —IZE, BRIy U —
HOMGEFGENEENTVET,
enable sql_generation udf AN —LFETFHD SQL EkA ST a %
native RETDEDIHHLET, T—FRX—2

I2 7w a )Ny 7 LT SPSS Modeler Server
Scoring Adapter ZfEH L TAa7 U > 79
LN (AATV T THTINA A R—
NWEHDT —F R— 2R L TW1DY;
#). SPSS Modeler WTAa7 Y 79 %
NEERL £,

applyregressionnode Z7O/XF 1 —

BRERETIVER — R2@HL T MEERETIV - 77y bEERT LI ENTEXRT. ZOET
W Ty NOAZ Y T N4IR. applyregressionnode TY o ZOETIV - Ty OO TONT 4 —13dH
DERA. ETIVER/ — FEED AU 7 FOFMIE, 229 X—2 D Tregressionnode 7 T/XT 4 —] &
ZHL T Z3 0,

applyselflearningnode ZO/XF 1 —

HOFEINEET IV SLRM) ETIERR / — RZ2@HL T, SLRM £F)V « 77 v b EART ST ENT
ZFET, ZOETI - FT Y bOAT YT AL applyselflearningnode T o ETIER / — REED X
707 b OFE. 232 X=2® Tslrmnode 7 0/NF ( —J BB L T /Z3 W,

# 166. applyselflearningnode 7" 11/NF 1 — :

applyselflearningnode 7O/ F 1 — i Tans 1« —OH

max_predictions Hfe

randomization Htl

scoring_random_seed #fl

sort ascending BWZAT7EZIZENWZATDOES 5 Z2/FEDA
descending Ty —INEICERINDINERELET,

model reliability 777 M) ¥ 7 TCETIIVOEHEEZZEBLET,

applysequencenode ZA/XTF 1 —

D= A E'TIMER S — REFEHLT, > 2A TN+ F Ty NEERTLHZENTEET,
DETIV « F7y NODAZ Y T N4IE. applysequencenode TY o ZHDETIV - 747w OO 7T 0/8F ¢
—3HVERA. ETIUER/ — RBERDZAZ U T ~OFMIZ. 231 X—2 D lsequencenode 7 T/8T 1|
[l EsRLTEE N,
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applysvmnode 7O/\F 1 —

SVM EFTIUER/ —RZEFHAL T, SVM 7))V - F7 vy hEAEKRTHZENTEET, ZOETI - F
7y NDOAZ YT RN, applysvmnode TY . ETIVER / — REED Z 7V 7 S OFERNE. [237 K=
[D Tsvmnode 7 T/XF ¢ —J BB L T EI 0,

£ 167. applysvmnode 7'E/NT 1 — .

applysvmnode JTINF ¢ — ifi Tans ¢ —osW
all_probabilities 770
calculate_raw_propensities a4
calculate_adjusted_propensities a4

applystpnode Z7O/\F 1 —

STP ETIUER / —RZHEAL T, BEETHETIV 77y heERTHIENTEEXT. ZOETIV F
Ty Mk, HHE2—=7ICETIVHNINERINET, ZOETI F7y bOAZ Y T M4

applystpnode T9 o ETIAER / — RAKZEZA 7 U 7 MET 2 HEICDONWTIE, 233 X—2 D [stpnode 7|
BT -1 EBRL TN,

#2168, applystpnode 7 1I/NT A —

applystpnode FONNF ¢ — F— 5’ AR VAL PR O]
uncertainty factor Boolean w/ME 0. AR MEE 100 TY

applytcmnode Z7O/XF 1 —

IR ET U > 7 (TCM) BT IUER / — RZ AL T, TCM £F )V 77y FEAERTEEd, 20
TN Ty NORY )T ML applytemnode TY . ETIERR / — RAKZE A7 U 7 MET 55K
DT, 38 X—=2 @ Temnode 7 0/87 4 —1 EBRLTLZS W,

22 169. applytcmnode 7°1/NF 4 —

applytcmnode 7EINT ¢ — Iiti TONT £ — DB
ext_future boolean

ext_future_num =

noise_res boolean

conf_limits boolean

target fields list

target_series list
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applytimeseriesnode 7O/\F 1 —

K RFIETIAER / — RZMEHL T, BRFIETIV - F5y bEAKRTHIENTEET, ZOETIV - F
Ty DAY )T N4IE. applytimeseriesnode TS o BT IAERR / — REKD A7 U 7~ OFMIZ,
[~ @ Ttimeseriesnode 7 H0/NF ¢ —] [EBHRL T 7Z3 W,

7 170. applytimeseriesnode 7 T1/NT 1 — :

applytimeseriesnode JTINTF ¢ — {ili TONT £ — D3
calculate_conf 7570
calculate residuals 770

applytreeas 70O/XT 1 —

Tree-AS ETIVIER / — RZHH L T, Tree-AS T 77y b EERTEET, ZOETIV 7y +D
A7) T N4 applytreenas T3 o BT IVER / — RBEWERZEZ 2 D 7 MET B HIEICDNTIZ,
[P D Ttreeas 70/8T 1 —J [ZHL T2 W,

171, applytreeas 7 1/NT A —

applytreeas JH/NTF 1 — fifi TONF ¢ —DFH

calculate_conf 770 ZOTONT 4 —IiE. ERENEY U —
FOMGEFENEENTVRET,

display rule_id a4 T4 —=IVRN 1 D2a7 Y > HEIEN

INFETH, ZNEFELI—REHDHT
55 —=3F) J—RIZID ZxRT7ZDHDD

HDTY,
enable_sql_generation udf AN —LFETHO SQL £kt T a s ®E
native RETHOIHHALET, T—FN—2

127w a )N 7 LT SPSS Modeler Server
Scoring Adapter ZffH L TAI7 U > 79
LM (AAT VT TETENA DA b —
WEHDT —H N— A L TV DY
). SPSS Modeler N TAT Y 279 %
NEERL £,

applytwostepnode 7O/\F 1 —

TwoStep ETIVERR / — RZ@MHAL T, TwoStep ET )+ 77 v hEERTHIENTEET, ZOET
e Ty hOAT YT MR applytwostepnode T . ZOETIV - T4y OO T O/NT 4 —I3H D
FtHh, ETIVER/ — REEKRDZZ U7 SOFMIZ. 46 X—2 D Ttwostepnode 7 0/NF 1 — ) [& 5
LTLZE N,

applytwostepAS O 7O/NTF 1 —

TwoStep AS ETIERR / — RZMHL T, TwoStep AS EFT )V 77w hNEERTHIENTEET, Z
DOETI F7 vy DA )T MK applytwostepAS T, TOETI - +7 v bOMO 787 1 —1dH
DER, ETIVER/ — RBEEKRDZZ U7 SOFMIZ. 47 =2 D TtwostepAS DT T/NT 4 —] |5
LT ZEE N,
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E 1585 F—IR=R - EFIVER/—RD7ANT 1 —

IBM SPSS Modeler . Microsoft SQL Server Analysis Services. Oracle Data Mining. IBM  DB2®
InfoSphere Warehouse, IBM Netezza® Analytics &3¢, T—FN—X « X2 & =5 AFARERT —4 -
AT ERTIVIERY =L ED#EEZEYR—FLTWET, IBM SPSS Modeler #1747 + T—4FN
—A 7TV XLZHERLT, 77U —2a >ANSDOETINVOBEBIRZaTY > 7N R THEE
TYd. T—IN—R - BT, TOEI>a THATL7ONT 4 —Z2EHLTAZ U T FTHERB X
DT H 2 EHARETT,

BIZE, KOZAZ )T ROFHIE. IBM SPSS Modeler A7 U Tk« A2 —Tx—AZMHLZ
Microsoft 7> 3> + WV — « EFILOERERLET,

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server name", 'localhost')
msbuilder.setPropertyValue("analysis_database_name", 'TESTDB')
msbuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbhuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX')
msbuilder.setPropertyValue("custom fields", True)
msbuilder.setPropertyValue("model_name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql_generate", True)

tablenode.run([])

Microsoft EF IV ERK ./ — FDZ7A/NT 4 —

Microsoft EF IV ERKR ./ — KD 7A/NT 4 —

O TONT 4 —

KROTEINT 4 —lF. Microsoft T—4% X—Z « TF)UERR / — RIZH@ETT,

F172. FED Microsoft /— R« 70/NF 1 —

WD Microsoft / — K « 0T

1= fiti TunF 1 —OHY

analysis_database name 75 Analysis Services 7 —% NX— Z D £,

analysis_server_name ped] Analysis Services A ~ D £,

use transactional data a4 ANT=INT—TNHRELITI ST T 2 a 2k
MEREL LT,
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F172. HED Microsoft /— R« 70ONT ¢ — (%)

WD Microsoft /— K+ FO)NF

1= fiid TaNT 4 — DY

inputs U2k FT—=TIWERXDAHT 4 —IV R,

target 74— R FHT 4 —IVR MS VI AXY T« ) —RERRIFI—
TUADFAZY T - )= RITIEEEE LRV,

unique_field 74— F F— T 4=,

msas_parameters HiE L TIWIVXL + NFGA=F—, FHLLE bEwY
[R=>D T7INNTI XL - NS A=F—1|eBHEL T
ZEW,

with_drillthrough 777 TRUNZI—H0) FTa,

MS T¥¥ar VU —

mstreenode ¥ -1 7D/ — RIZIE, BEOTONT 4 —DNERINTVWERA, 2OtV a OEHEICH
%38 Microsoft 7 /8T 4 — &SR T 7230,

MS 752450

msclusternode #1 7® / — RiZid., BrEDOTONT 4 —MNEZ SN TWER AL, TtV 3 > OFHEIC
» BHIGE Microsoft 7N T 4 —ZZBL T EI W,

MS 7V IT—>ar )=

KRDOTT)NT 4 —Id. msassocnode ¥ 7D/ —RTHEHATEET,

7% 173. msassocnode 7'T1/NT A —

msassocnode JTI/NT ¢ — fifi FaNF £ —DEM

id_field 74—V K T=HDERNTH I a v ERELET,
trans_inputs N NI alT—YDANT 4 —IVR,
transactional_target 74—V FHT—% (hF>Hrar - T7—%),

MS Naive Bayes

msbayesnode ¥ 7 ®/ — RiCi&k, @D 7ONT 4 —NEZBINTWERL, ZOEI T a > OREHEICH
5 35E Microsoft 7 O/NT 4 —Z SR LT 7230,

MS #RPU[EN

msregressionnode 71 7D/ — RiZld, BE0 7/ ONTF 4 —NEZINTWERTAL, 2OV 3 >DE
SHIC B DL Microsoft /8T 4 —Z2SMRL T 7Z3 W,

MS Za—3)b - %y hTU—2

msneuralnetworknode -1 7® /J — RiZid, BHEDOTONT 4 —MMNEEINTVWERA, 2O 3>D
HEHIZ & 28 Microsoft 7 TO/)8TFT 4 —Z2ZHBLTLFE 0,

MS O AT 4 w7 Al
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mslogisticnode ¥4 7® / — RIZIE, HEDTONT 4 —NERINTWERAL, ZOEY T a3 > DOEE
IZd %38 Microsoft 7 /NT 4 —&ZHL T 230,

MS #A4 L+ 2U—=X

mstimeseriesnode ¥ 1 7D/ — RiZiE. BHEOTONT 4 —NEZEINTVWERTAL, 20T aDE
HIZ 3 558 Microsoft 7 /ST 4 —ZZMBL TL7Z I,

MS =R DIAF )T
KRDTT)NT 4 —13. mssequenceclusternode ¥ 7D /) — RTHEATEET,

& 174. mssequenceclusternode properties

mssequenceclusternode 70N F 1 — 1 ARTAL N ]

id_field 74— K T=IDERNT YT a ERELET,
input_fields JZ R NFGYDalT—=5DANT4—IVE,
sequence_field 74 —J)VF =2 A 1D,

target field 74— K FHT 4=V (T—TIEAT—%).

TIWTURXA - INSA—=H—

% Microsoft 7—4% X—2Z « EF )b + ¥ 7IZld. msas_parameters 7 /ST —ZfHL THETE 5,
RDOEDIBFFED/INTG A—=F—H D £,

stream = modeler.script.stream()

msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas _parameters", [["MAXIMUM_INPUT ATTRIBUTES", 255],
["MAXIMUM OUTPUT ATTRIBUTES", 255]])

INHED/INTA—=F—IL SQL Server MHSEIGFSNET. &/ — FICHETH/XTA—F -2 51T
. FY NARLT—IR=AAN /) —REiEL£7,

2. T—HIN—AAN /) —REHEET,

3. IF—=% Y—RA) ROy 7¥T> - UXMMEERRY —AERBRLUET,

4. TF=TNWH1 VASDSHERRT—TIVEERLET,

5. TOKl] #27UvwZ LT, 7—XR—=ZAAN/—RZEHALCET,

6. JNT 4 —&—EFRLZW Microsoft 77— X—2Z « EF)UER/ — R&BINL £7,

7. T—HIN—Z - BTIER S/ — RZEREET,
8. TZFAN—b] FTZEERLEXT,

ZD/—ROFHTES msas_parameters 7 /NT 4 —NFERINET,

Microsoft €5V - 75y bD7O/NT 1 —

Microsoft T—F X—Z « EFIER / — RZ2MEHAL TERSNZETI - 7y hoTOoNT 1 —%, X
ICRLUET,

MS F¥ar-wY—
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F175. MS 72232 - V)= O/)NT 14—

applymstreenode 7'TINF ¢ — il F

analysis_database name el O/ —RiZ, AN —LOHTEE DY INE
ERS
2O 7 1)8F 4 —1& Analysis Services T —% X—Z %,
DFANHEHL £,

analysis_server name peZll Analysis B —/N— « IR A ~ O£ §i

datasource XF5 SQL Server @ ODBC T—% + YV —Z %4 (DSN) D%
Al

sql_generate 757 SQL ARk ZE AN L ET,

MS #R%[a])w

176, MS #BEIFD T O/NT 4 —

applymsregressionnode 7'TXF ¢ — |{ii Bl

analysis_database_name e ZO/—RiZ, AN —LAOHTHEEAIT INE
KD
ZDO70)87 4 —I3 Analysis Services 7 —% X— 2%
DFHNAEHL £,

analysis_server_name 75 Analysis J—/N— + IR A b DA

MS Za—JJ) %y hTJ—V

X177. MS —a—F)b - Fy NU—=2070O/N7 1 —:

applymsneuralnetworknode 7'T1/%5

14— il ]

analysis_database name Y ZO/—RiZ, AN —LDOHTHEE DY INE
K
2O 7 1/8F 4 —1& Analysis Services T —% X—Z %4
DFHNHEHL £,

analysis_server name peZdl Analysis B —/N— « KA ~ O£ §i

MS B AT« v 7R

F178. MS O X7 ¢ v ZEIGED T O/NT 4 —

applymslogisticnode 7TI/)XF ¢ —  |{ii B

analysis_database_name Y IO/ —RiZ, AN —LOHFTHEHERAITY INE
ER
D7 T/NF 4 —1& Analysis Services T —4% X— 2%
DN L £,

analysis_server name 5 Analysis B—/N— « R A N D4l

MS ZA4 L+ U—X
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£179. MS 1L - 2 —=XD70O/NT 1 —:

applymstimeseriesnode 7TINF ¢ — | il G|

analysis_database name A O/ —RiZ, AN —L0HTEE DY INE
£
Z D7 T)8F 4 —I& Analysis Services T —% X—Z %
DFANHEHLET,

analysis_server name ezl Analysis B—/N— « ;KA ~ D£#i

start_from new_prediction FROTHUZETODBED TRIZITONEREL £
historical_ kR
prediction

new_step e RO TRIOMIAR M ZERL X7

historical _step Kot WEDTRORBRMZERLL £9,

end_step e TR TRMEZERL £7.

MS =42 DIFAF) T

#180. MS >—5 >R « VI AXY>TDTO/INT 4 — .

applymssequenceclusternode 7'TI/)¥

T4 — fil B

analysis_database_name peZll IO/ —RiZ, AN—LOHFTHEHEAITY INE
KR
ZDO70)8T 4 —I3 Analysis Services 7 —% X— 2%
DOREFNHEAL XTI,

analysis_server name X Analysis H—/\— + I8 2 h D £l

Oracle EFJIVERR/ — R 7a/NT 14—

Oracle EFIVERR/ — RDp7AnNT 14—
KROTEINT 4 —1F, & Oracle T—IXR—Z - EFY 7« J—RIZHETT,

#181. Oracle /— ROHg 7 o/N7 1 —:

—%H7s Oracle /— RO TONT ¢ — |{ii FTaNT ¢ — DM

target PEEYIAN

inputs T4 =)V RDUZX K

partition 74—V KR ETIHEDRE, T AN, BIXUOKRIEOZEAT—
R, T=FEMN LTy b (BT I
#2714V,

datasource

username

password

epassword

use_model_name 770

model_name peZll I—H—RETLHHFHET I 4.
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#181. Oracle /— ROHF 7 ONT ¢ — (B )

Expert

—f78 Oracle /— ROTONT ¢ — |fifi TaNT 4 — O]

use partitioned data a4 K274 —I)VRBNERINDHZE., 0L T2 a i
FET—IREKDNEDT —F DHNET VG
INBHEIOITLET,

unique_field 71 —J)VER

auto_data_prep a4 Oracle &7 —% ¥EfHtEeE 2 AL E 2 I3l £
T (1lg T—FRXR—=ZADH),

costs HEEE a7 o7 ¢ —, AR
[[drugA drugB 1.5] [drugA drugC 2.1]7. [] ND5I
BIFEBEOTRIAA T,

mode Simple (Eif#) Simple ICREINTWBEE, flxd/—R - 7O

INT 4 —ICREREINTVWB KD, BEDTO/NT 4
—ImEINET,

use_prediction_probability a4
prediction_probability FS
use_prediction_set a4

Oracle Naive Bayes

RO TE)NT ¢ —Id. oranbnode ¥1 7D /) —RTHEHATEET,

# 182. oranbnode 7'O/NT ¢ — :

oranbnode 7TI/NT ¢ — I FANF £ —D R
singleton_threshold ol 0.0-1.0.%
pairwise threshold HfE 0.0-1.0.*
priors Data
Equal
Custom
custom priors HiEk W70/ T ¢ —, R

set :oranbnode.custom_priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* mode 7% Simple IZEREINTWAEA., 7JO/NT 4 —I3E\HINET,

Oracle Adaptive Bayes

KOTOINT 4 —1%, oraabnnode ¥1 7D /) — R THATEET,

2 183. oraabnnode 7T/NT ¢ — :

oraabnnode ZT/NTF 1 — i FaNST £ —D 3
model_type SingleFeature
MultiFeature
NaiveBayes
use_execution_time_limit 770 *
execution_time_limit B fEl3 1 DiETRTFNERD EE A, *
max_naive_bayes_predictors B flld 1 UETRINERD EEA, *
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# 183. oraabnnode 7'TO/NT 4 — (FEZ):

oraabnnode 7TI/NT 1 — fifi Fans 1 —o 5
max_predictors B fEid 1 BLEThRRnIRD £8 A, *
priors Data
Equal
Custom
custom_priors HiE L gk 7 o7 ¢ —, BAERX
set :oraabnnode.custom priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* mode 7% Simple IZFREINTWAEA., TO/NT 4 —I3E\HINET,

Oracle Support Vector Machines

KOT )T 4 —Id, orasvmnode ¥ 1 7D /) —RTHEHTEET,

# 184. orasvmnode 7/NT 4 —

orasvmnode ZTI/NT o — il FANT £ —D 3]
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

minmax

none
kernel_cache_size =X Gaussian 71— )VEH, fEIE 1 Bk

TRFNUIRD E/ A, *

convergence_tolerance oAl g 1 BLETRTNIERD E8 A, *
use_standard_deviation 777 Gaussian /71— )LEH, *
standard_deviation Al X 1 BLEThRFERD EdA, *
use_epsilon 770 mFETIVOHATT, *
epsilon e g 1 P ETRINERD E' A, *
use_complexity factor 777 *
complexity factor Al *
use_outlier_rate 777 B—NUT7 > OBTY, *
outlier rate Hofl B—=NUY>FDHTT, 0.0-1.0.*
weights Data

Equal

Custom
custom_weights Hisfk g7 o T 4 —, EAEX

set :orasvmnode.custom weights =
[[drugA 1] [drugB 2] [drugC 3] [drugX
4] [drugY 5]]

* mode 7% Simple ICEREINTWAEA., TONT 4 —I3EHINET,
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Oracle —#{LFRAET IV

RDT1/)NT 4 —I&. oraglmnode ¥ 7D/ — RTHEHTEET,

7 185. oraglmnode 7°T1/NF 1 — :

oraglmnode 7'TI/NF 1 — i FONT £ —DHM
normalization_method zscore

minmax

none
missing_value_handling RepTlacelithMean

UseCompleteRecords
use_row_weights 720 *
row_weights_field 74—k *
save_row_diagnostics 770 *
row_diagnostics_table ped *
coefficient_confidence g *
use_reference_category 727 *
reference_category NFES g
ridge_regression Auto *

off

On
parameter_value Kot *
vif_for ridge 770 *

* mode Y Simple ICEREINTWVWAEE, TO/T ¢

Oracle 7Y 3> « V1) —

HENEXT,

KDOTTINT 4 —Id. oradecisiontreenode ¥ 1 7D /) —RTHEHTEET,

% 186. oradecisiontreenode 7O1/NT 4 — :

oradecisiontreenode FTI/NF ¢ — | {ii Tans 1 —0OHm
use_costs 770
impurity metric Entropy (Z> hAE—)
Gini
term_max_depth B 2-20.%
term_minpct_node HfE 0.0-10.0.%
term_minpct_split ol 0.0-20.0.*
term_minrec_node B fEix 1 LEThRFnERD EtA, *
term minrec_split B 6l 1 DLEThRINER 0 E A, *
display rule_ids 770 *

* mode 7Y Simple ICRREINTWAEE, YONT 4 —l3EHINET,

Oracle O-Cluster

KDOTTINT 4 —ld, oraoclusternode 1 7D/ —RTHEHTEET,
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% 187. oraoclusternode 7 T/NT 1 — :

oraoclusternode 7TINF ¢ — il Tans 1+ —0HM
max_num_clusters Eis4 flid 1 BLEThRINERD £8 A, *
max_buffer B fElE 1 DETARTNIERDET A, *
sensitivity #fE 0.0-1.0.%

* mode 7Y Simple ICEREIN TN

Oracle KMeans

SA,. 7O/ T 1

—IEHENET,

KROTOINT 4 —1%, orakmeansnode 1 7D /) — R THEHATEET,

% 188. orakmeansnode 7E/NT 4 — :

orakmeansnode 7TI)XT  — fifi FANT £ — D3]
num_clusters B i 1 BLETRNERD EE v, *
normalization_method zscore
minmax
none
distance_function aA—-2YUy Rk
aAYA
iterations o4 0-20.%
conv_tolerance g 0.0-0.5.%
split_criterion Variance 77 4 )V M Variance TY, *
Size
num_bins B il 1 BLETRINRD EE v, *
bTock_growth B 1-5.%
min_pct_attr_support ol 0.0-1.0.*

* mode 7% Simple ICEREINTWAEA., TO/NT 4 —I3EHINET,

Oracle NMF

KOTTO)NT 4 —Id, oranmfnode ¥ 1 7D/ —RTHEHTEET,

7 189. oranmfnode 7°T1/NT 1 — :

oranmfnode TI/XF ¢ — i Fangy  —0Hm
normalization_method minmax
none
use_num_features 770 *
num_features B 0-1o T7F)VMERZTIVITY XLIZEK>TTF—F
SHEFEINET.
random_seed HotE *
num_iterations B 0-500.%
conv_tolerance Hotg 0.0-0.5.%
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# 189. oranmfnode 7O/NT 4 — (FE ) :

oranmfnode 7 O/NF ¢ — i pARVAL R RO E:|

display all_features a4 *

* mode 7% Simple IZEREINTWAEA., 7JO/NFT 4 —I3EHINET,

Oracle Apriori

RO T)NT 4 —I&, oraapriorinode ¥ 7D/ — RTHHATEET,

# 190. oraapriorinode TO/NT 4 —

oraapriorinode 7N 1 — il TansF ¢ —OHM
content_field 74 —IVF

id_field 74 —I)F

max_rule_length i 2-20.
min_confidence Al 0.0-1.0.
min_support HfeE 0.0-1.0.
use_transactional_data a4

Oracle f/Netii . (MDL)

oramdinode %1 7® /— RiZid, BrEDTO/NNT 4 —IMEZ SN TVWER A,
%38 Oracle 7 O/XT 4 —&ZHL T EI W,

Oracle Attribute Importance (Al)

KO TO)NT 4 —Id, oraainode Y1 7D/ —RTHEHTEET,

% 191. oraainode 7'O/NT 4 — :

oraainode J'TI/XF 1 — fifi FaNF £ — DR

custom_fields

757 H (true) DHER, BIED/ — ROy =7y b A

JI. TOMT7 4 — IV R EEIBETHIENTEE
I, 4 (false) DAL, EHEOT—FEL ) —Rh s

BRIEDORENMEAENET,
selection_mode Importancelevel
ImportanceValue
TopN
select_important 777 selection_mode 7% Importancelevel IZEE I N T
BHEFIT, BERT 4 =)V REERNT DN E S NZH
ELET,
important_label S [EHE) S0V ERELET,
select_marginal a4 selection_mode 7% Importancelevel IZEE I N T
B EEIT, BRT 4 IV RZERT DN ESNEERE
L&Y,
marginal_label T 559 2200V EfRELET,
important_above Al 0.0-1.0.
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# 191. oraainode 7'T/NT o — (FEE) :

oraainode JT/NF ¢ — fiei TONT 1 — DM

select_unimportant a4 selection_mode 7% Importancelevel IZEEE I 1T
HEET, HETRWI 4 =V REZERTZNED
ZfRELET,

unimportant_label XA MHEEE | S0 N)VERELET,

unimportant_below HotE 0.0-1.0.

importance_value Bl selection_mode %% ImportanceValue IZF%iE X 41T
LI, T HAEIEEIEELET. 0 205 100
DEZIEEL £,

top_n HlE selection_mode 7% TopN IZEEESIN TS E X
R 2NEMEZEEL £7. o@b1m0®méh
ELET,

Oracle €FJ)V * 7oy bOTANT 4 —
Oracle /—RZ@FHL TERSNZETIV - T4y bo7a)NF4—%, RIRLET,

Oracle Naive Bayes

applyoranbnode ¥ 7@/ — RiZid, FEDTO/NT 4 —NEZRINTWET A,
Oracle Adaptive Bayes

applyoraabnnode ¥ -1 7@/ — RiZid, BrED T O/NT 4 —MEHRINTVER A,
Oracle Support Vector Machines

applyorasvmnode %A 7@/ — RiZid, FED 7 ONT 4 —NERINTHER A,
Oracle 7> a > « V1 —

KRDOT)NT + —1d, applyoradecisiontreenode #-1 7D/ — R THFATEET,

# 192. applyoradecisiontreenode 7' 11/NT A —

applyoradecisiontreenode FI/NF ¢ — ifi Fans ¢ —DHY
use_costs 720
display_rule_ids 770

Oracle O-Cluster

applyoraoclusternode ¥ 7® /— RiZld, BED70/\F 4 —NEHFEINTVWEH A,
Oracle KMeans

applyorakmeansnode % -1 7@/ — RiZld, HED T O/NT 4 —MMERINTNEH A,
Oracle NMF

KD T)NT 44—, applyoranmfnode ¥ 1 7D/ — R THHATEET,
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# 193. applyoranmfnode 7 T/NT A —

applyoranmfnode J'TI/NF ¢ —

FONRT 1 — D]

display_all_features

Oracle Apriori

ZOETI - FHy MIAZY T NMTEHTEEZ® A,

Oracle MDL

ZOETIV - FFy FMIAZU T MTHEHATEEE A,

IBM DB2 EFIVER ./ — KD 7TANT 1 —

IBM DB2 €T IVER/ — KD 7ANT 4 —

ROTONT 14—, % IBM InfoSphere Warehouse (ISW) T —4% X—Z « EF U >/ -

ER

#194. ISW /— ROFE T O/NT ¢ — -

/=R

—-
— N

HIET

ISW J— RoiL@7rans +—

fiei

Jans .« —onHMN

inputs

T4 = FDOUX
IS

datasource

username

password

epassword

enable_power_options 750

power_options_max_memory B fE1X 33 BLETRITFNUIRD E8 .
power_options_cmdline XA

mining_data_custom sql XA

Togical_data_custom_sql XA

mining_settings_custom_sql

ISW 323>« —

KOTOI)NT 4 —1%, db2imtreenode ¥ 7D /) — R TCHHATE T,

# 195. db2imtreenode 7 O/NT 4 — -

db2imtreenode TTI/NT 1 — fifi TaNnNT 1+ —DOFHM
target 74— R

perform_test_run a4

use_max_tree_depth 757

max_tree depth B fEld 1 LAETY,
use_maximum_purity 757

maximum_purity P2 el 0 & 100 DEDEMETT,
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195, db2imtreenode 7O/NT 4 — (W Z) :

db2imtreenode 7'TI)NT ¢ — fiti TaNT 4 — DO

use_minimum_internal_cases a4

minimum_internal_cases B fillld 2 LAETY,

use_costs 727

costs tEEE Mg 7087 ¢ —, #AEL
[[drugA drugB 1.5] [drugA drugC 2.11]. [] ND5I%IT
EEOTHIAX T,

ISW YV >I—>3>

RO T T)NT 4 —I3. db2imassocnode ¥ 7D/ — RTHATEET,

7 196. db2imassocnode 7T/NT 1 — :

db2imassocnode FTINT £ — fitd TaNT ¢ —OHW

use_transactional_data 770

id_field 74—V F

content_field 74— K

data_table_Tlayout basic

limited_Tength

max_rule_size B2H fElE 3 DLETRIFUIRD E8A.

min_rule_support e 0-100%

min_rule_confidence ol 0-100%

use_item_constraints a4

item_constraints_type Include

Exclude

use_taxonomy a4

taxonomy_table_name el DB2 77— 7V D4Hid. HHEOFEMICHEMINET,

taxonomy child_column_name 75 DT —TINDFHN T LDSH. THT LT, HEA
Flz3 I —aNEENET,

taxonomy_parent_column_name pezl| ST —TIN DN T LD FAT L I T
U—#nEEnxd.

Toad_taxonomy_to_table 777 IBM SPSS Modeler 277 SN TV BN HEIERZEET IV
DOIEERFIZ, DT —TIVIZT v 70— RT5NhES )
Za> 0=V LEd, TTECHET—TNDHFET S
Bia. 207 —7I)VIdHBRENET, HEERIT. £
RS ) — REFIrES N, ThedUy—ofkEl =
& IREIEOKE] Ry AL TRETES X
ED

ISW >—F7 2> &

RDOTT)NT 4 —1Z. db2imsequencenode %1 7D/ — R THEHATEET,
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# 197. db2imsequencenode 7 1/NT A — :

db2imsequencenode 7T/XF £ — fili TanF 1+ —OHM

id_field 74— R

group_field 4=V R

content_field 74—V F

max_rule_size B fifld 3 A ETRFIERD =8 A,

min_rule_support el 0-100%

min_rule_confidence Bl 0-100%

use_item_constraints 720

item_constraints_type Include

Exclude

use_taxonomy 770

taxonomy table name X DB2 T— 7 )D&, DO MESNET,

taxonomy_child_column_name XFH ST —TINDFN T LDL4HL. THT L, HEA
FFA TV —EAREENET,

taxonomy parent_column_name X ST —TIN DN T LDLEL. FAT LS AT
U—HNEENET,

Toad_taxonomy_to_table 757 IBM SPSS Modeler IZfR-F SN TWBHHHEIEHMZEET IV

DOREEIZ, BT — 7T v 70— R3T 5N ES M
23> hO0—)VLET., TTROET—TINELET S
BE. TOT—T7IVFHIBRINET . HEERIT. T
UM ) — RESICRES N, THSFdY—0mEl K
yor THBELEORE] RYCEBHALTRETEE
ER

ISW [a])

KDOTO)8T 4 —I&. db2imregnode ¥ 1 7D/ — R THHATEET,

# 198. dbimregnode 7EO/NT 4 — :

db2imregnode 7'T/XF 1 — il TaNT 1 —DH]

target 74— R

regression_method transform regression_method 7% rbf IZBREINTVNLHFITDH
Tinear BEAINSTONT 4 —IZDNTIE, ROXESHEL T
polynomial <7ZEW,
rbf

perform_test_run 71—k

1imit_rsquared value a4

max_rsquared_value HotE fEDHIPHIZ 0.0 5 1.0 TI,

use_execution_time limit a4

execution_time limit_mins BH fllld 1 AETY,

use_max_degree polynomial a4

max_degree_polynomial B

use_intercept a4

use_auto_feature_selection_method | 752
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# 198. db2imregnode 7T/NT 4 — (§£Z) :

db2imregnode FTINF ¢ — fifi TunT 1 — O
auto_feature_selection_method normal
adjusted
use_min_significance_level 757
min_significance_level KfE
use_min_significance_level 70

RO T T/NT 4 —I&. regression_method A% rbf ICRREINTNHEHFICOAMHINET,

& 199. regression_method 7% rbf IZ

REZINTWNDHED dblimregnode TO)NT 4 —

B/MER 2 TY,

db2imregnode 7'1/XF ¢ — i TN T 4 — DA
use_output_sample_size 770 true DHFE. HIZT 7 4 MCHEIICHRE SNET,
output_sample size s T4 KT 2 TT,

m/MENL 1 T,
use_input_sample_size 777 true DFE. HIZT 7 4 MICHBIPICRESNET,
input_sample_size Eiis4 T4 KT 2 TT,

R/MEE 1 T,
use_max_num_centers 750 true DFE. HIEZT 7 4L MICHBINIZRESNET,
max_num_centers Eis4 T 74 8T 20 T,

R/MEE 1 T,
use_min_region_size 770 true OEE. T 7 4 MCABMICHRE SNET,
min_region _size B T7 IV ME 15 TY,

R/MEE 1 T,
use_max_data_passes 777 true DEFHE. EIZT 7 4 MCHBIPICHRE SNET,
max_data_passes B T74IVKME 5 T,

B/MENL 2 T,
use_min_data_passes 777 true OEHE. HIZT 7 4 MCHBIMICHRE S NET,
min_data_passes B T74IVME 5 T,

ISW 29 A5 27

KRDOTOINT 4 —1E. db2imclusternode ¥ 1 7D/ — R THHATEET,

2 200. db2imclusternode 7" /NT 4 — :

db2imclusternode 7T/XF ¢ — fifi TanT ¢ —0OHY
cluster_method demographic
kohonen
birch
kohonen_num_rows BE
kohonen_num_columns B
kohonen_passes B
use_num_passes_Tlimit 720
use_num_clusters_limit 750
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2 200. db2imclusternode 7O/NT 4 — (# &) :

db2imclusternode 7'T/XF 1 — iE TaNnTF 4+ —DHM

max_num_clusters B fEld 2 AETY,

birch_dist_measure Tog_likelihood T 7 A4V Mi& log_likelihood T,
euclidean

birch_num_cfleaves B 77 4 )V Mi& 1000 TT,

birch_num_refine passes B T 74N M 3. BMEE 1 T,

use_execution_time_Timit 720

execution_time_limit_mins B fillld 1 LAETY,

min_data_percentage el 0-100%

use_similarity_threshold 750

similarity_threshold g/l EOHIPHIZ 00 5 1.0 TT,

ISW Naive Bayes

KO TO)NF 4 —1E, db2imnbsnode ¥ 1 7D ) — R THHATEET,

2 201. db2imnbnode 7TO/NT ¢ — :

db2imnbnode FT1/NF ¢ — fiti FONT £ — DB

perform_test_run 7757

probability_threshold e F7#)V MiE 0.001 TT.
R/MEE 00 FRARMEIE 1.000 T,

use_costs a4

costs b s Wil 70/ ¢ —, FAEL
[[drugA drugB 1.5] [drugA drugC 2.1]]. [] DA%
EEOFRIARNTT,

ISW O AT« w7l

KRDOTT)NT 4 —F. db2imlognode ¥ 1 7D/ — RTHEATEZET.

#202. db2imlognode 7" 1/NTF 4 — :

db2imlognode 7 TI)NF ¢ — fifi TONF ¢ —DHH

perform_test_run a4

use_costs 727

costs b Sy gL 7O/ 0 —, FRERX
[[drugA drugB 1.5] [drugA drugC 2.117. [] NDBI%IE
EBROTFHIAARTY,

ISW R4

HF AT TA—IVR - NI A=F 32D/ —RiIZIFfFHZINEB e AT 4=V R« )IXNTA—=F—)
A7V T RNZERWESE, J—RICANT 74—V RTIdRE<., ZET7 4=V REL THHBIONENH S Z

LERTEENTEREINEKT,

KOTO/)NT 4 —I%. db2imtimeseriesnode ¥ 1 7D/ — R TCHEHATEET,
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2203, db2imtimeseriesnode 7 /NT 4 — :

db2imtimeseriesnode 7O/NF ¢ — |{ili TN ¢ —DFH
time 74—V R =R, K. AfMERTEET,
targets T4 =V FDU Xk

forecasting_algorithm

arima

exponential_
smoothing

seasonal_trend_
decomposition

forecasting_end_time auto
integer
date
time
use_records_all boolean false DE. use_records_start B

LT use_records_end ZFRET D4
ENHDET,

use_records_start

R R 7 A

RF[E 7 ¢ — )b RORHEIC K > TR D
£7

use_records_end

B FEHE 7 A

Kefl 7 ¢ —)V ROREEIC L > TR
E3CN

interpolation_method

none
Tinear
exponential_splines
cubic_splines

IBM DB2 EFJ)V - 7y b7ANT 14—

IBM DB2 ISW /—RZ@FHL TERINSETIV - F7y ho7daNT4—%, RIRLET,

ISW T3>« —

applydb2imtreenode %1 7'® / — RIiZId, FFED T O/NT 4 —MNER SN TVER A,

ISW YV I—>r3a>»

ZOETI - FHy MIAZY T MTEHATEEZ® A,

ISW >—7o7 > A

ZOETIV - F7y MEIAZU T MTHEHATEEE A,

ISW [=[)&F

applydb2imregnode % 7@/ — RiZi, FED TN T 4 —NEZEINTWER A,

ISW 7S5 A% 7

applydb2imclusternode ¥ -1 7/ — RiZid. FED 7 O/NT 4 —NEHR SN TWEE A,

ISW Naive Bayes
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applydb2imnbnode % 7® / — RiZid, FEDTONT 4 —NEZRINTWEE A,

ISW O AT 4 v 7 Al

applydb2imlognode % 7@/ — RiZid, FrED T O/NT 4 —NEZEINTNEYR A,

ISW %1

ZOETI - F7y MEIAZ U T MCEATE £ A

IBM Netezza Analytics ETIVERKR/ — FDO70ONT 1 —

Netezza €T IVERR/ — RO 7ANT 14 —

KROTONNT 4 —1%. % IBM Netezza T—F XN—Z -+

£ 204. FED Netezza /— R - 7O0/)NT 4 — .

EFUT - /= RIZHETY,

5HD Netezza /— K - FONF ¢

TaNT ¢ — O]

custom_fields

H (true) OHFET. BED/—ROY =47 M. AL
FOMT 4 —IVRRBREZBETDHIENTEET. 14
(false) DIFENL. EROT—H ) — Rp SBIEDRE
IMERHINET,

inputs [field] ... fieldN] ETICTHEASINDANEZZFREE Y« —IV R,
target 74—V K HWNRT 4 —IV R GEEREZIThTTY —/),
record_id 74— R —HoLad—FR D LTSNS 70—V R,
use_upstream_connection a4 true (77 4 OEFAH. ERO ) — RTIRESI N2
BEDFEM, move data_to _connection MfREIN TS
L3RI NER .
move_data_connection 720 true OYE. T—H1d connection IHEEINZT—%
N—=Z2IZHH L £, use_upstream_connection MIEE
INTWAEEIIFEHAINEEA,
connection HiEmk ETINDRESND Netezza 7 —F N— A DR LF
B, HEETONT 0 —. HHEER
['odbc' '<dsn>' '<username>' '<psw>' '<catname>'
'<conn_attribs>' [true|false]]
ZZT.
<dsn> 1 7—% + V—ZHATY,
<username> & <psw> (3. T—HIXR—ZADI—HF—%&
NAT—BRTY,
<catname> IHHZ O T HTT,
<conn_attribs> 3R DEMETT,
true | false I&. /NATU— ROWBRENESNERLE
@_0
table_name XA ETININMRESND T —FR—A -« T—T )L D%,
use_model name 757 true DA, model name 12k > TIRE I N/4HTZET
NOA4AFELUTHHALEY, €5 TRWESE, ETI)V 4
I AT AT > TERR SN E T,
model_name XFH A=Y —HEET DHHET 4.
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2204, £ED Netezza /— R - TO/NT 4 — (% Z) :

5HD Netezza /— K « 7ONF ¢

—

fifi Tans « —0#HM

include_input_fields

4 true DHFE. TRXTOANT 4 =)V RZTFHRITHEL £

o TIOTHRWVEA, record id EEFIVITE > TARK
SN T 4 —INVROBMNEZINET,

Netezza 74 ¥ a > VU —

RDOTOINT 14—, netezzadectreenode ¥ 1 7D /) — R TCHEHATEET,

# 205. netezzadectreenode 7T1/NT 1 — :

netezzadectreenode FONTF 1 —

i

Tangy « —0Hm

impurity_measure

Entropy (Z> hAE—)
Gini

W —DENT D R WG 2 RS
LOIEHEND, AHEORIE.,

max_tree_depth

Eis g

V) =R ERER R KL NIV, T
T3V M 62 TT (AlRE/RER K
fiE)s

min_improvement_splits

DEINFEAT D AME DE DR/
., =7 %)V i 001 TT,

min_instances_split

DEINFEAT DHENERD DE SN TY
BN I— RO 7740 M2
2 TY (nRE/RE/IME).

weights

&M

7T A ES, g7 o7
14— B

set :netezza_dectree.weights =
[[drugA 0.3][drugB 0.6]]

T4 NDERITRTDOY FTAT
1 T,

pruning_measure

Acc
wAcc

T 74V ME Acc (KEE) TT . wAcc
(EAMTEHEE) 13, SHE2EHT 2
BRIV S ADESEEELET,

prune_tree_options

allTrainingData

partitionTrainingData
useOtherTable

57 # )V hTIL, allTrainingData %
FHLTCTETIINVOREZHEELET,
partitionTrainingData ZfH L T.
I 228 T -5 OEEZE,
useOtherTable ZH L THREL T
—HR—=A - T=TIND¥EFT—4 -
ty MEFEHALET,

perc_training_data

prune_tree options 73
partitionTrainingData IZF%E I N T
WG, FERICHEHT 2T -5 0H
BEEELET.

prune_seed

prune_tree_options 7%
partitionTrainingData IZEXE N T
WBEE, AERZHBICHERT 2
TGN —R, TIHINT
T9d,
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2 205. netezzadectreenode 7T/NT 4 — (Fi &) :

netezzadectreenode 7TI/XF ¢ — i FTans ¢+ —OHH

pruning_table A ETIVOREEHEET 2 DI D
WET—Fty hOTF—T )V,

compute_probabilities a4/ true DG, THT 4 =)L FOIFEN,
TEEE (%) 71—V RZAERL X
ER

Netezza K-Means

KDOTTINT 4 —Id. netezzakmeansnode ¥ 1 7D /) — R THEHTEET,

£ 206. netezzakmeansnode properties

netezzakmeansnode J'T1/NF ¢ — il TaNnRTF + —DFW
distance_measure a—-sUyk T—% « KA 2 NEOEHERET S ik,
NNy G
FroNz
maximum
num_clusters B BT 50 A5 —$. T 74V Ma 3,
max_iterations B TFINOFEEEEIETDRIOT7 IV ZLADKIERK. T
74V 5.
rand_seed B IHFEROKBIHERT 2T > L - >— R, T74)

M 12345,

Netezza N1 X « v hT—%

KRDTTI)NT 4 —ld. netezzabayesnode ¥ 7D/ — RTHHTE T,

2 207. netezzabayesnode 7'H/NT 4 — :

nn-neighbors

netezzabayesnode 7TI/XF ¢ — fiii Tans ¢ —o0 3

base_index B WESEBE D RH DA 7 4 —)b RIZEID H T 51 % Ll
DFHIT. T 7 IV ML 777,

sample_size B B DEMNIEEITREVGEITR/NT 5> T I OHA
o T 7 )b M 10,000,

display additional_information 727 true ODEE. Av—I0FA 707 Ry 7 AIENM
DEBIRIROEHRZFRRLET,

type_of_prediction best FHTDTFHTILITY XAOHEE: B FHEENE DS

neighbors WilTRE). Tk GEBEDEAAFZ T, NN T (ull BL

L DI ).

Netezza Naive Bayes

KO T O)NT ¢ —Id. netezzanaivebayesnode ¥ 1 7D /) — R THHATEET,
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# 208. netezzanaivebayesnode 7'1/NT 1 — :

netezzanaivebayesnode 7 T/)\F ¢

- fili TONT 4 — DN

compute_probabilities 757 true DEFH. T T 4 —IL ROIED. HEEE HWER) 74
— IV RZEERKRLET,

use_m_estimation 777 true DFHE. HEERFIT 0 OMELZENET 5 m HEE A

ZHEMALET,

Netezza KNN

KDOTTINT 4 —Id. netezzaknnnode ¥ 1 7D ) — R THEHTEET,

2 209. netezzaknnnode 7H/NT 4 — :

netezzaknnnode JTI/NT 1 — fiii Tans ¢ —0FHM
weights HiEfk HBAEET T ATH DS THREEL T 08T —, fi:
set :netezzaknnnode.weights = [[drugA 0.3][drugB
0.6]]
distance measure aA—-oUyk T—4 « BA 2 MEOEIERET B Fik.
EOZAVE 4
FroNs
Maximum
num_nearest_neighbors B WEDT—ADEREME. 77+ )V M 3,
standardize measurements 777 true OHE. HEHEOMEFTE T SANICERTMAT 7 1 —
VR OHEZEEEEL X
use_coresets 757 true DFH. KHBRT—F vy MU TEHEZ @

ftg2a7ty b - H2TUTEFHLTVET

Netezza BRI S A% > 77

KDOTTINT 4 —Id. netezzadivclusternode ¥ 1 7D/ — RTHEHTEET,

2 210. netezzadivclusternode 7" T/NT A — &

netezzadivclusternode FONT ¢

- il TaNnT ¢ — DY
distance_measure a—-sUyk T—% " A 2 NHOBE & RIE T S ik,
NNy
FroNZ
Maximum
max_iterations B ETINOEEMMEILT BHGIC, EITT27I)VTY LK
BEORKEE. 74V M5 TY,
max_tree_depth B Tty NERET LI ENTES L NVORERE.
T4 HME 3 TY,
rand_seed B INEERT L EDIERSNDE T VYL — R, T
)V Md 12345,
min_instances_split B SEIREIR RN O— R, T 74V ME S,
Tevel B LO—R22a7Y 7 9T28EL NV, 774V M

-1o
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Netezza PCA

KRDOTTINT 4 —IF. netezzapcanode ¥ 1 7D/ — R THEHATEET,

F211. netezzapcanode a7 4 —

netezzapcanode JOI/NF ¢ — i Tans ¢ —oFm

center_data 757 true (T 7))V N) OEE, ZOF T a EFzvIL
A, aNRiicT—5Y o>y 0% (Fid
BEREE] ) #FEITLET,

perform_data_scaling 757 true DEFE. DNRICT—FY DA —1 > T &FNE
o £292I LT, HOLKNRRDHEATHESN
HEE, PN EBENTREVEDICLET,

force_eigensolve 777 true DFE. EEHETOHENMES K> THX D &R
TEEEALET,

pc_number B Tty FEEDTHEERS O T 74 MI

1o

Netezza [All@> U —

KRDTT)NT 4 —IF. netezzaregtreenode ¥ 1 7D /) — R THATEET,

#212. netezzaregtreenode TaINT 4 —

useOtherTable

partitionTrainingData

netezzaregtreenode J'I/NT 1 — fifi FOANT £ — DB
max_tree_depth B J—b « J—=BRORNTY Y —DRET
EDLNIVORRE. 774V M
10 TY,
split_evaluation_measure Variance W) —%&EIT D DI i/ 57T & 57
g 272DICHAEIND, VI ADR
MEDORE, 774V b BUEHE—D
F 7 a ) 1d Variance,
min_improvement splits e WU —PITHT LW BIERL S 1% i
RIS & i S B % /N
min_instances_split Eis4 SEIMTRE /R RN O — REL
pruning_measure mse SRR 2 4k
r2
pearson
spearman
prune_tree options allTrainingData 774 )V N Tld. allTrainingData %

FRHLCETIINOREZHEELET.
partitionTrainingData ZfEf L C.
T 2%ET—5 OEIG %,
useOtherTable ZffH L THELZT
—HIR=R « T=TINVO¥ET—4 -
ty NEHEHALET,

perc_training_data

prune_tree options 7%
PercTrainingData IZEREIN TS
Ba. FEIERTT Y 0ElE%E
HELET.
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# 212. netezzaregtreenode 7'/NT o — (#E )

netezzaregtreenode JI/NF 1 —

firi

Tansy ¢ —oHm

prune_seed

prune_tree options 73
PercTrainingData IZEREINTWN5D
e, R EHBICENT ST >
Fh-—R, 774 BME 1 T
ER

pruning_table

ETINOIEEENTE T 572D IZE#R D
HET—Fty hOT—T ),

compute_probabilities

true DHFE, BOLBTENEZTTAD
PENHENICEENDZRENEINE
fREEY,

Netezza #1% [A]

KD TT)NT 4 —Id. netezzalineregressionnode ¥ 1 7D/ — RTHHTEET,

#213. netezzalineregressionnode 7a/)NT 4 —

netezzalineregressionnode 7'0/%

TA— fi#i TanNT 1+ —OHM

use_svd 777 true OHFH. TTOX MU w7 20RO DITKEREN S
M) w7 2 2EAL CEREEREOREZM ELIEE
ER

include_intercept 757 true (77 A4 N) OHFE. VU a—a > OREKORE
MmELET,

calculate_model_diagnostics 770 true DEH. TTFINOZBWEFHL T,

Netezza iR 5

RDOTOIST 4 —1d. netezzatimeseriesnode ¥ 7D /) — R THHTEET,

7 214. netezzatimeseriesnode 7' T/NT 4 — -

netezzatimeseriesnode JT/NT ¢ — | fii Tans ¢ —onI3im

time_points 74— K KR A D A E 213K O 2 &8 A
N7 4= R,

time_series_ids 74— R R4 ID 2587 0 —I)V B, AT
BRORERIINE EN2 5B ITHEHAL
7.

model_table 74— R Netezza K RFNETINIDMRGFEIND T
—FR—=2 « T—T I D% Hi.

description_table 74—V R FRAGBIOHHEROATIT—7
IV D4,

seasonal_adjustment_table 74— K FREOHEL £ 72\ 3= HiR R 5 7 7))

T X AN & TR E N i
B ERET 5N T — T 4
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# 214. netezzatimeseriesnode 7 /NT 4 — (fE )

netezzatimeseriesnode 7 ONTF ¢ —

firi

Tans 1« —0HW

algorithm_name

SpectralAnalysis E7zid spectral
ExponentialSmoothing FE7zid
esmoothing

ARIMA

SeasonalTrendDecomposition E7zld
std

FRFIETY > VIR 27V TY
N

cubicspline
exponentialspline

trend_name N HEBCEBIL MM S A 7,
A N - none
DA A - 5N
M DA - i hnjsisE
DM M- 5%
DM - 5B
seasonality type N RECERILDEF MY 1 7
A N - none
M A - AN
M- 5
interpolation_method Tinear 9 % T A 1

timerange_setting SD i1 F 97 % Ip P i P 0D B i
sP SD - AT LWE RERFIT—F D
i P 2 {1 )
SP - earliest_time BIWN
latest_time ZfEfHL 1 —Y—4FE
earliest_time B timerange_setting 7% SP DOHHE DB
Tatest time Hft BAE B L OFE T .
N 537} R, time_points fEICHED LB
AL RY T HOET,

B ZIX. time_points 7« —J)L RITH
& EN2581F. nbEMFET
DNEMBH VT,

i

set NZ_DTl.timerange_setting =
1gp!

set NZ_DTl.earliest _time =
'1921-01-01"

set NZ_DTl.Tatest_time =
'2121-01-01"
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# 214. netezzatimeseriesnode 7 /NT 4 — (FE )

netezzatimeseriesnode FTI/NF ¢ — | fii FTans « —0#HM]
arima_setting SD ARIMA 7)L3V X LDEE
Sp (algorithm name 7% ARIMA IZE%E &

NTWLHBICOAEHINET),
SD - system-determined
SP - user-specified
arima_setting = SP DFH. KD/X
FIA—F—ZMH L TEHMEDEDSB X
VDIEFHEDOMEZFREL £, # JF
ZEHIPE D A):
set NZ_DT1l.algorithm_name =
"arima’
set NZ_DTl.arima_setting = 'SP’
set NZ_DT1l.p_symbol = 'lesseq'
set NZ DT1.p = '4'
set NZ_DT1.d_symbol = 'lesseq'
set NZ_DT1.d = '2'
set NZ_DT1l.q_symbol = 'lesseq'
set NZ_DTl.q = '4'

p_symbol Tess ARIMA - p. d. q. sp. sd BN

d_symbol eq sq INT A—=H —DIERTFTT,

o_symbol Tesseq less - KD/hE

= eq - FL W

sp_symbol Tesseq - RDMELLF

sd_symbol

sq_symbol

p k22 ARIMA - HCOHBIOIEFRED S
Y,

q A ARIMA - EICHIB 0 RHitE  t
fil,

d ks ARIMA - EFI)IVNOBEFH DI
F R R

sp B ARIMA - HCAMHBEOZEHEDES
2%

sq B ARIMA - HCAHBI O EiPEE .

sd =B ARIMA - T I)VN OB B D
PESCAE.

advanced_setting SD FERIEE O HEZRE L T,

SP SD - system-determined

SP - period. units_period BXUN
forecast_setting ZfHLz1—9
—fEE.

i

set NZ_DTl.advanced setting = 'SP'
set NZ_DTl.period = 5

set NZ DTl.units_period = 'd'
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# 214. netezzatimeseriesnode 7 /NT 4 — (fE )

netezzatimeseriesnode FTINF ¢ — | fili Tans 1« —OHM
period =5 units period EfHAGORTIHEL
EEEES A 7 IVOES, AXT N
RATICITE A TE EE A
units_period ms period /NFEI XN 2 HAL,
S ms - UM
min s - B
h min - 7
d h - Kf
wk d-H
q wk - A
y q - quarters
y - years

BIZIE, 1 AR period 12 1.
units period I wk ZfREL £9.

forecast_setting

forecasthorizon

TROIER S EZEE L T,

GALN s R >T

forecasttimes
forecast_horizon =i forecast_setting = forecasthorizon
H{f TH 56, THOKRADEZEEL
HEZ S
SANRE T BUE. time_points fEICHE D LA
HDET,
Bl Z1E, time points 74—V RIZH
MNREGENZDHEIE. INBHMNET
LMENDH D LT,
forecast_times B forecast_setting = forecasttimes
H{f DHE. THZERT Z7Z0IEMT
53] LIEZEEL XY,

R, time_points fEICHED HEHN
HDET,

Bl Z1X. time_points 74 —JL RICH
MREENZHEE. INBHEMNET
LENH O ET,

include_history 770 BEOHEZEHNICTEZTDZNE S N ER
LET,
include_interpolated_values 757 HHSINZOEEBHICEZDENED

MZERLET, include_history M3
false OHLHIIMLHSINEE A

Netezza —f& (LR

RDT/NT 4 —I&. netezzagimnode ¥ 7D/ — RTHEATEET,
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#2215, netezzaglmnode 7°1/NT 4 — :

netezzaglmnode FOI/NF ¢ — it Tans ¢ —oFm
dist_family bernoulli DDY AT T 74 M
gaussian bernoulli T,
poisson

negativebinomial
wald
gamma

dist_params

fd

AT B0Mm/8F A—4% —{H,
distribution %% Negativebinomial
DELEEDAHEAINET,

trials

distribution 7% Binomial DHHD
AEAINET, ¥—7 v MREN—
HOMITNHEET LI EI TR
~ DA, target 7 4 —I)L RIZidA
N R trials 70—V RiCi3iR
TEENEENE T,

model table

Netezza — AL ETIVOMRES
HF—HR—A « F—T IV DL,

maxit

TN AU XLMFETTEDLRKEDRK
Bl%. =7 %)V~ 20 T,

eps

TINT)ZXLDNHEEEET I OMBEE
EIET DR KEZEDME BHFHFE
il)e T AV NE 30 DFED IE-3
F7213 0.001 TY,

tol

MRAEMN 0 ELTHDONDME Bl
Fid)e T 74 NE 7. DFED 1E7
(F721% 0.0000001) % Flal2iEEDHE
MNEETRVWENT Y RENET,

Tink_func

E:4 |
inverse
invnegative
invsquare
sqrt

power
oddspower
log

clog

loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom
cannegbinom

fEAdT2) VB, 774V ME
logit TY,
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# 215. netezzaglmnode 7'/NT o — (#EZ)

netezzagimnode FOINF ¢ — il

Tans s« —0HW

fd

link_params

AT 2Y > BEEUST A—F —{,
Tink_function 7% power F/zIZ
oddspower DEFEFDHEMAINET,

interaction [[[colnamesl],[levelsl]],
[[colnames2],[levels2]],

....,[[colnamesN],[levelsN]],]

T4 =)V RO AR ZRE L £
$, colnames V&, AJ1T7 4 —IVRD
JZRTY, £k, 74 —IVED
level 13H12 0 TY,

i

[[["K","BP","SGX",“K"] , [0’0’0’0]] ,
[["Age","Na"] s [0’0]]]

intercept

true OHFE. BETIICERIEEFH
ESCRN

Netezza €T )V - 4y b 7ANT 14 —

KOTO)NT 4 —Id. Netezza T—IR—RA «- ®FY 257 F4y MHETT,

#216. Netezza ET )« 45 hOH@E T O/NT 4 —

Netezza EF)V - F4y bo@BTONT o — |l

TaNT ¢ — OB

connection e ETIPMRESND Netezza 7 —F N— A DI
XFH,
table_name ped ETNDREINDET —FIN—Z - T—T )LD

il

HMOEFTINFT Y hOTONT 14—, MIETEHETY 7D/ —ROGEERLTT,

TEF) - FT Y FOAZY T NAFLLTFO®EO T,

#217. Netezza TT ) « 7w FDODX 7T K&

EF)V - FF Y b A2 YT 4
FTar-v— applynetezzadectreenode
K-Means applynetezzakmeansnode
NA X« 2w b applynetezzabayesnode
Naive Bayes applynetezzanaivebayesnode
KNN applynetezzaknnnode

DRI FGAZ) T

applynetezzadivclusternode

PCA applynetezzapcanode

) — applynetezzaregtreenode

R [ e applynetezzalineregressionnode

Ik 251 applynetezzatimeseriesnode

— R AR applynetezzagimnode
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£16 8 Hh/ —ko7OnNT1—

1/ —Ro70/)X7 4 —id. ErOFEED ) —Ro7aNT 4 —EDLRR>TWET, HHh/—Ro7
ONT 4 —d FFED/—R - AT a z2B8BTrE0nW5L013, SREBENA T 27 MTKNL £
T, ZOZERFT—IINMNSMEEREL T, TNEARNY =L« NTA—F =L L TRETDHLORGER
EITHRIBEET,

IOy a T W/ —RTHEATEZAZY T NHAOTONT 4 —Z2HHALET,

analysisnode ZO/XF 1 —

—— FESHT ) — RT, PRIETIVORENZFHE L TIERR TRIZ AR L 9. 2/ — T, |
(Q| DULEDETIV - 77y MIDWT, PHIEEEREZ S RS HBRGETHKRLET, Xk,
We— AT/ — R TEFHET I VELZKTEXT.

1

node = stream.create("analysis", "My node")

# "Analysis" tab

node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve accuracy", 3)
node.setPropertyValue("inc_user_measure", True)

# "Define User Measure..."
node.setPropertyValue("user_if", "@TARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by fields", ["Drug"])

# "Qutput" tab

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full filename", "C:/output/analysis out.html")

# 218. analysisnode 7/NT 4 — :

analysisnode 7TINF ¢ — F—F M TOanNF ¢ —DOHM
output_mode Screen 1/ — RS ARSI NSO,
File WhEEHRELET,
use_output_name 770 I—H—REOMNENEHEINS
MESMERELET,
output_name & use_output_name ZVEL (true) D&
T, HHIT 24012 EL X,
output_format Text (.ix1) Moy 7TEEELET,
HTML (himl)
Output (.cou)
by fields UBZGN
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# 218. analysisnode 7/NT 1 — (FE )

analysisnode 70/XNF ¢ — F— &R Tans o« —oHW

full_filename XFH T4 AT, T—%, £IE HTML
O EBRRLEGED, K77
1 D%,

coincidence 777

performance 77

evaluation_binary 70

confidence 770

threshold (L & (V&) Hofd

improve_accuracy el

inc_user_measure a4

user_if expr

user_then expr

user_else expr

user_compute [Mean Sum Min Max

SDev]

dataauditnode 70/XF 1 —

WatE, EANTILPHRT I 7280, T—YEZRHIIRET 22O OFREZRMEL THE
T MR L LT WA TR RSN, V= LD, TP A XTI 70T -5 %
i/ —RZ2ERTHIENTEERT,

FARA/ — RTIE, RIEME, Sl BROBEICET S HHROM. %7 1 =) RO
L]

il

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("dataaudit", "My node", 196, 100)
stream.link(filenode, node)
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("fields", ["Age", "Na", "K"])
node.setPropertyValue("display_graphs", True)
node.setPropertyValue("basic_stats", True)
node.setPropertyValue("advanced stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier_detection _method", "std")
node.setPropertyValue("outlier_detection_std outlier", 1.0)
node.setPropertyValue("outlier detection_std extreme", 3.0)
node.setPropertyValue("output_mode", "Screen")

% 219. dataauditnode 7'T1/NT A4 — :

dataauditnode 7'TINF £ — F—ym TONT ¢ —DHRW
custom_fields 757

fields [fieldl ... fieldN]

overlay 74—V R
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#219. dataauditnode 7T/NT 4 — (§£ ) :

dataauditnode FTI/XF ¢ — F—5M TanF 1 —0FHM
display graphs 777 HNOTFIe DT 5 7FRET > ET
3IF 7T HDIclHINET,
basic_stats 720
advanced_stats 720
median_stats 750
calculate Count RIBEOFHEITHEAL 9. HHEA
Breakdown FEOWT D, FEIT 2R
B0, FRIFEBLSHBRRL £
Huo
outlier_detection_method std SR B K ORE D 55 & R E
igr L¥ET,
outlier detection_std outlier e outlier_detection_method 7% std
DG, NEOERICTHEHAT %K
HZEEELET,
outlier detection std extreme HfE outlier detection method 7% std
DEE. ANEOERITHERT 55
BEEELET,
outlier_detection_iqr_outlier ol outlier_detection_method 7% iqr
DEE. SINEOERITH AT 5%
EZEEL T,
outlier_detection_iqr_extreme Hofl outlier detection method 7% iqr
DA, NNEOERITHERT 55
HEHEELET,
use_output_name 770 I—H—REDOMNENEHINS
MESMERELET,
output_name p & use_output_name ZVE (true) D&
El, T 2401 EL X,
output_mode Screen Hi1 /) — RS AERENAHTID,
File ez fEE L £9,
output_format Formatted (.zab) Mhosy 1 7TE2EElLET,

Delimited (.csv)
HTML (.html)
Qutput (.cou)

paginate_output

777

output_format A% HTML DOFH. H
NIIR=DIZHEINHELDITLE
ER

Tines_per page Fofd paginate output EILICHEHT 5L
Bld. HHIR=U B0 OITEEE
ELET,

full_filename P&
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matrixnode ZA/NT 1 —

JBOAKE ) — KT 74—V REOBRZERT T =TIV ERLET. —REWICZD/ —R
3 2 DO ZHRIVET 4 =)V ROBIRERIHEICKSFERSNEITN, 753787 0 —)b
REIEZISEUER T + =)L FHIDBERZRT I EDBTEEXT,

1

node = stream.create("matrix", "My node")

# "Settings" tab

node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")

node.setPropertyValue("column", "Na")

node.setPropertyValue("cell _contents", "Function")
node.setPropertyValue("function field", "Age")
node.setPropertyValue("function", "Sum")

# "Appearance" tab

node.setPropertyValue("sort_mode", "Ascending")
node.setPropertyValue("highlight top", 1)
node.setPropertyValue("highlight bottom", 5)
node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])
node.setPropertyValue("include_totals", True)

# "Qutput" tab

node.setPropertyValue("full_filename", "C:/output/matrix_output.html")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate_output", True)
node.setPropertyValue("1ines_per_page", 50)

7 220. matrixnode 7'O/NT 4 — :

matrixnode FONT ¢ — F— 8 FaNT £ — D]
fields Selected
Flags
Numerics
row 74 —IKR
column 70—V R
include_missing_values 727 I—Y—IC KB RIBME (EH) &

AT LT XKD RIBME (X)) B 1T
EHDOHANITEETNLDNE D NEE
ELET,

cell_contents CrossTabs
Function

function_field pe

function Sum
Mean
Min
Max
SDev

sort_mode V—bhizL
Ascending
Descending

highlight_top e FTOTRWERIZE (true) »
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# 220. matrixnode 7T/NT o — (FEX)

Delimited (.csv)
HTML (.html)
Output (.cou)

matrixnode FO/NF ¢ — F— TanNT 1 —DHY]
highlight_bottom HfE TOTRWERIZE (rue) .
display [Counts
Expected
Residuals (FE#E)
RowPct
CoTumnPct
TotalPct]
include_totals 770
use_output_name 770 I—H—FEOMNENEHINS
MEIMERELET,
output_name pezl use_output_name ZVEL (true) D&
Zl, HHIT 24012 ELET,
output_mode Screen Hi1 /) — RS AERINAHTID,
File ez E Ll 9,
output_format Formatted (.rab) HADY A TEEELET,

Formatted & Delimited Difik
M. T—TINTIT &% ATVE R
HIERHT transposed ZFED Z EMN
T&EXET,

paginate output 777 output_format 7% HTML OFE. H
THIMR=DIZHEENSHEIICLE
ER

Tines_per page Fofd paginate output &SFLICHEAT %8
Bl HhR—TH0 DIk E
ELET,

full_filename &

meansnode 7 O/XTF 1 —

WL ) — R T MV L7227V =TT £23BEETS 7 0 — )L ROXTHTELWE
m WRBH DN ESIMERRD DT, FHEK LT, FIAIE RFERERE DR THII
WELR LU0, IRICIHERE 22T 72 o IR R TR NS DR 2 ik T % Z &N

TEEY,

il

node = stream.create("means", "My node")
node.setPropertyValue("means_mode", "BetweenFields")

node.setPropertyValue("paired_fields", [["OPEN_BAL", "CURR BAL"]])

node.setPropertyValue("label correlations", True)
node.setPropertyValue("output_view", "Advanced")
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "HTML")

node.setPropertyValue("full_filename", "C:/output/means_output.html")
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#221. meansnode 7T/NT 4 — :

BetweenFields

meansnode 7' TIN5 ¢ — TR TOaNT 1 — O
means_mode BetweenGroups T FETT B IR DO Ff

HERELET.

test_fields

[fieldl ... fieldn]

means_mode 7% BetweenGroups (&%
FEINTNWEEEDTAN - T4 —
JVRZERELET,

grouping_field

T4 =R

TN—TICEEDDT 4 =)L RER

paired_fields

[[fieldl field2]
[field3 field4]
..]

ELET,

means_mode 7 BetweenFields IZ&%
EINTNDEZIHEATSE T 1 —
IWEDORY ZEELET,

Tabel_correlations 770 B Z NIz RS NLE N E
DMMZELEEL T, means_mode 73
BetweenFields IZFXESINTND &
ZZDH, ZORENHEHINE
‘a_c

correlation_mode Probability = (Probability) 7z I3 HEHE

Absolute (Absolute) D ES 5NTHBEIZ TN

WEfiTs L EELET,

weak_label pezl|

medium_label XFH

strong_label el

weak_below_probability el correlation_mode 7% Probability
ICRESNTNS EXIT, FHWAHEE
OHREEZERELET, O,
Bz 090 LS. 0 &1 D
MICT 2 0ENH D ET,

strong_above probability ot FRUVFHBI D5 FIME,

weak_below_absolute otE correlation_mode 7% Absolute I
BREINTVD EEIT, FOHBEO
HEMEZIREL £9. DML B
Z1E 090 DLDIT. 0 & 1 DI
T BHENHDET,

strong_above absolute HfE FRUVFABI O 4> EIME,

unimportant_label el

marginal_label XFH

important_label e

unimportant_below ot W7 =)V REEEO/HEIME,
DOfEi. BIAIE 090 DESIT. 0
L1 OMICT2RHENRHDET,

important_above Hfe

use_output_name 777 A—Y—REOHNANEHETND
NEDMEREL T,

output_name pe2l| # 9 % 4.
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#221. meansnode 7O/NT 14— (FiE) :

meansnode JTINT o — F—yH TUNT 4 — DY

output_mode Screen Hi1 ) — RS ARSI N IO
File HEZEHELET,

output_format Formatted (.tab) Mhosy1 7efmE L £9,

Delimited (.csv)
HTML (.html)
Output (.cou)

full_filename &
output_view Simple HICBAIZS (Simple) E o —2V%
Advanced IREINDH. FITEE
(Advanced) E a1 —MNFEKRINDN
EEELET,
reportnode ZO/NTF 1 —
LAR—h - /J—=RT. BETFAL, BLET—For—onoEMNMoX 25D, 77
—< v MEALR—FZEERLET, LR-F0ERT, BETFANET—F DO IRERZ
EFRITDHTFAN 7T L—FEMALTHELET. 7> 7L —hAND HTML % 7 Z{fiH

L. £ ) TTHT 2 a b 2R/ETHIET, DAY LDTFA N EXREZIRMET
29, 7L —FN® CLEM RZ2HHL T, T HEPFOMOLMEE 2805 &
MTEET,

1

node = stream.create("report", "My node")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/report_output.html")
node.setPropertyValue("1lines_per page", 50)
node.setPropertyValue("title", "Report node created by a script")
node.setPropertyValue("highlights", False)

2 222. reportnode 7°1/NT A —

reportnode FT/NF 1 — F—A R TONT 4 — DB

output_mode Screen 1/ — RS AERENSH IO,
File e eiaEe LET,

output_format HTML (html) Ty AINVHIDOY A TEIREELE
Text (.txt) KR
Qutput (.cou)

=l Auto HOZBEEBIZ T +—< v FRET
Custom BN TTL—RIEEND

HTML Z#EHA LTI+ —< v &
ETHMEEIRTLH7-DITHHL E
T, 77 L—hrAND HTML 7%
—< v MREEEHT 221,
Custom ZHFEL ET.
use_output_name 757 I—H—REDOMNENEHEINS
MESINERELET,
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# 222, reportnode 7/NT o — (FEZ)

reportnode FO/NTF 1 —

F— & #l Tans ¢ —OHM

output_name

XFH use_output_name Z2VE (true) D&
EC, HHIT2AmERELET,

text XFH
full_filename XFH
highlights 757
title X7
Tines_per page HofE

routputnode A7 0O/XF 1 —

#2223, routputnode D 7T/NT 1 —

R )1/ —RTid, MEOH ALY L R AV U T ~eiH
LT T—BXCETIV - 27 ) 2T ORERZE ST
EET, MR TFANERZT I 709V THATESE
T MR R—T vy —fEO THh) ¥ 7iEmsnE
o HHWE HHhET 7 AU Y AL R TEET,

routputnode DT TINT 1 — F—& 1 TONF 4 —DFH
syntax XF3
convert_flags StringsAndDoubles

LogicalValues
convert_datetime 757
convert datetime_class POSIXct

POSIX1t
convert_missing 770
output_name Auto

Custom
custom_name X
output_to Screen

File
output_type Graph

Text
full_filename el
graph_file_type HTML

cou
text_file_type HTML

TEXT

cou
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setglobalsnode 7O/\F 1 —

EENE

1l

node = stream.create("setglobals", "My node")

Ja—=N)y+ J—RT, 7= %EEL. CLEM XA THATE2ENEZEHL £, #ilx
. o= NV - J—REFHALT, HEH EWSARDT7 ¢ —)V ROFErEZEBL, X
IZ CLEM FIZ @GLOBAL_MEAN(EF#f) BH¥ZMAL Tl ORI TEEEZE T2 I ENT

node.setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])

node.setPropertyValue("clear_first", False)
node.setPropertyValue("show preview", True)

#224. setglobalsnode 7'T1/NT 4 — :

setglobalsnode 7T/NF ¢ —

F—HH

Jans .« —o0HH

globals

[Sum Mean Min Max
SDev]

74— REFRET SHEEL 7 0N
T4 —ld. ROWXTSRT D05
MWHDET,
node.setKeyedPropertyValue(
"globals", "Age", ["Max", "Sum",
"Mean", "SDev"])

clear_first

show_preview

simevalnode 70/\T 1 —
)

2 225. simevalnode 7/NT 4 —

PIab—a il — Rid, IEESNLETFHUSINENRT =)V RZFHL. HRT 1 —
b R Do CAHBAE R E e L £

simevalnode 7T/NF ¢ — T8 Tans 4 —0HM
target 74 —IR

iteration 74—V K

presorted_by iteration boolean

max_iterations Kl

tornado_fields

[fieldl...fieldN]

plot_pdf boolean
plot_cdf boolean
show_ref_mean boolean
show_ref_median boolean
show_ref_sigma boolean
num_ref _sigma Hfl
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# 225, simevalnode 7'/NT o — (#EZ)

simevalnode F'O/NF 1 — F—ym Tans 1+ —0HM
show_ref pct boolean
ref_pct_bottom Bl
ref pct_top ot
show_ref_custom boolean
ref_custom_values [numberl...numberN]
category_values Category
Probabilities
Both
category_groups Categories
Iterations
create_pct_table boolean
pct_table Quartiles
Intervals
Custom
pct_intervals_num ol
pct_custom values [numberl...numberN]
- - O s
simfitnode ZA/XF 1 —
YRal—ar - Iqavia>7 - J—Ri& &7 14—V ROT—F OIEIIIRS A E R
R, ROBEETIPMEST A — IV RICEHDETTIalb—2a  ElRk/ —REER (£

WWEHD LEJ., 2o, alb—ra AR/ —RFEFEHLT ¥ab—h9257—%
ZHERTDHIEMTEET,

22 226. simfimode 7/NT 1 — :

simfitnode 7'O/XF ¢ — F—5m TaNT 4 — D]
build Node
XMLExport
Both
use_source_node_name boolean
source_node_name pezl| HERREZIIEHFINDS AN/ — KD
use_cases ITNRT
LimitFirstN
use case_limit B
fit_criterion AndersonDarling
KolmogorovSmirnov
num_bins B
parameter_xml_filename &
generate_parameter_import boolean
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statisticsnode Z70O/\F 1 —

FLIbEEE / — R T BMEM T ¢ —)b RICBT 2 AR EFHER Rt N T, 20/ —

%ﬂ Ke. 207 4 —)b ROBKGEEFE 7« — ) REIOHBE/ S T

il

node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["Mean", "Sum", "SDev"])
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels..." section
node.setPropertyValue("label correlations", True)
node.setPropertyValue("weak_below absolute", 0.25)
node.setPropertyValue("weak Tabel", "lower quartile")
node.setPropertyValue("strong_above_absolute", 0.75)
node.setPropertyValue("medium_label", "middle quartiles")
node.setPropertyValue("strong label", "upper quartile")

# "Output" tab

node.setPropertyValue("full filename", "c:/output/statistics_output.html")
node.setPropertyValue("output_format", "HTML")

% 227, statisticsnode 7 O/NT 1 — :

HTML (.html)
Qutput (.cou)

statisticsnode JNF ¢ — =— FANF £ —DEM
use_output_name 777 I—HY—FFEOHNANMER TN S
MESMEHRELET,
output_name 75 use_output_name MWE (true) D&
T, T 240EHEL X,
output_mode Screen 1/ — RS AERENSH IO,
File e zaiae LET,
output_format Text (.tx1) Moy 7TEEELET,

full_filename el
examine list
correlate list

statistics

[Count Mean Sum Min
Max Range Variance
SDev SErr Median Mode]

correlation_mode Probability T3 (Probability) 7z I3 HExH il
Absolute (Absolute) D ES 5N THBEIZ TN
WaftiFcdZ EEEELET,
Tabel_correlations 770
weak_label X4
medium_labe] &
strong_label 55
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# 227, statisticsnode T T/NT 4 — (FE )

statisticsnode 7O/NF ¢ — F— & # Tans ¢ —OHm

weak_below_probability #fE correlation_mode 7% Probability
ICERESIN TS EZIT, 95WHHEE
DORENEZEELET. TOMHEIE.
BlZIE 090 kST, 0 &1 D

MICT2RENDH D KT,
strong_above probability Hofd SRUNFHBE D 5 FiE.
weak_below_absolute el correlation_mode 7% Absolute I

RESNTVD EZIT, FHWHED
DEMEEEELET, oM. F
ZI1E 090 DLHIZ, 0 &£ 1 DR
I 20ENHDET,

strong_above_absolute HfE FRUVFHBEI D4 EIME,

statisticsoutputnode ZA/XF 1 —

Statistics )1/ — RZ2fif3 % &, IBM SPSS Statistics Fhe= ZFMEONH L. IBM SPSS

] Modeler ¥—% 25119 % 2 EMTEET, SETH/3 IBM SPSS Statisties T FEEITT 7
) TATEET, 2O/ — R, I ANEGZ 517 IBM SPSS Statistics DO E— 7 A5
<7,

ZD/)—=ROTNT 4 —IZDOWTIE, 23 XR—=2 D [statisticsoutputnode 7 1 /NF 4 —J JZFi#k I 11 TN
£7,

tablenode Z7O/XF 1 —

— F=TN - J—RT, F=IBTF—TURRTERSINET. ZOF—FE, 77 A icbH
i EADET, COMIEE. TS OMERELLD, TS EHRBPTVRATIY AK— b
THLEND D HEIEIEET,

il

node = stream.create("table", "My node")
node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose data", True)
node.setPropertyValue("full filename", "C:/output/table output.htm")
node.setPropertyValue("paginate output", True)
node.setPropertyValue("1ines_per_page", 50)

#228. tablenode 7T/NT 4 — :

tablenode TN ¢ — F—5m Tans o« —oHm

full_filename e TAAY. T—4. £kiE HTML O
HEBIRLAEEED., HhHT771IL04%4
il
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2 228. tablenode 7/NT 1 — (# &) :

tablenode F'TI/NF ¢ — TR TaNT 1+ —DFHW
use_output_name 777 I—HY—FEOHNANERENZNE
IMERELET.
output_name pezdl use_output_name WE (true) D& FIT,
AT 24 ZIEEL XTI,
output_mode Screen A/ — RS AERINS IO, )
File JeEfRELET,

output_format

Formatted (.rab)
Delimited (.csv)
HTML (.html)
Output (.cou)

oy 1 7eEE L xd.

transpose_data 777 I AR— MRTCT —% OfT 5% ATV
AT, fTI7 4=V R%&, FINLO—R
ERITEIOICLET,

paginate output a4 output_format A% HTML DA, HIIA
R=DIHEIENHELDITLET,

lines_per_page FofE paginate output LTI 545G
1. MAR=—H7Z0 o EiEE L £
@_0

highlight_expr XF5

output Pl J— R TEMIIBEINET—TIAD

SHRERRET 5, AR ER 7 O/87
4=

value_labels

[[Value LabelString]

[Value LabelString] ...]

BEORY DD T)EHRELET .

display_places B T4 =) RINEIREIND &EED/NEEED
gz ELET REAL AL —2D
T4 =)V RICDOAEA). -1 ZRET S
E. AN —=LDT T4V RIMER SN
ESC N
export_places B T4 =V RN ENE EED/NEED
Mgz e LEd REAL ARL—2D
T4 =V RICDOBER). -1 ZRET S
EL ANY—=LOT T )V MMERT N
EC N
decimal_separator DEFAULT T4 =)V RO/NBRREFZHREL XY
PERIOD (REAL A ML —2 D7 =)L RIZO R
COMMA H)o
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% 228. tablenode 7'O/NT 1 — (# &) :

tablenode 7O/NF ¢ —

F—

Tans 1« —0HW

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON. YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

T4 —IVROBMBEREZRELET
(DATE F7z1% TIMESTAMP A KL —2 D7
4=V RICOAEHINET),

time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"“HH:MM"

"MM:SS"

"(H)H: (M)M: (S)sS"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)sS"
"(H)H. (M)M"
"(M)M. (S)S"

T4 —IVROAMEAZHRELET
(TIME F7=1% TIMESTAMP A R L —> D7
A=)V RICOABEHINET),

column_width

B

T4 IV RIZHIMEZFRELET, -1 &
SEZIEET S E. FIEIE Auto ITERE
INET,

justify

AUTO
CENTER
LEFT
RIGHT

T4 IV RIHFABREZREL £,
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transformnode 7’0O/\F 1 —

A\ ) — RIZE > T BIRT 4 =)V FITHEM T 2RI BR O R ZERNL . HENICHRET 2
ZEMTEET,

il

node = stream.create("transform", "My node")

node.setPropertyValue("fields", ["AGE", "INCOME"])

node.setPropertyValue("formula", "Select")
node.setPropertyValue("formula_Tog_n", True)

node.setPropertyValue("formula_log n offset", 1)

229, transformnode Ta/)NT 4 —

Output (.cou)

transformnode 7'T1/XF ¢ — F— R TaNT 1 —DFHY]

fields [ fieldl... fieldn] B THEATS 74—V K,

formula AT1 TRTOEMZFET D, ZEINL

Select M EGIE T BN EREELE T,

formula_inverse 777 WEBEFHT2NESNEHEEL
£,

formula_inverse offset Hfe A THHITZT—% - A7ty %
BELET, I—F—NEELREn
RO, 74V FT 0 ITRESN
EJr

formula_log_n 777 log , ZHEERT 2N E SN &R
ELET,

formula_log_n_offset ot

formula_log_10 757 log,, ZHaZEHEHTHMNES M EtE
ELET,

formula_log 10 offset Hfl

formula_exponential 757 ERAER ) ZHEHTIZNE SN
EHRELET,

formula_square_root 777 SEHREMEMLRT 20 E SN &
ELET,

use_output_name 757 I—HY—FEOHNANMER TN S
MESMEEELET,

output_name 75 use_output_name MEL (true) D& &
2. R 2401EREL£T.

output_mode Screen 1/ — RS AERENSH IO,

File HhkezfEE L X7,
output_format HTML (.htmi) WMoy 7EEELET,

paginate_output

777

output_format % HTML OFH. H
NIMR=PIZREENLELDITLE
KR

#
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#229. transformnode 7O/NT 4 — (FE ) :

transformnode TI/NF ¢ — F—ym TOaNT 1 — O

Tines_per_page K fE paginate_output &ILICHEHT 2Y;
G HhR—U B0 Ok E
ELET,

full_filename el T7AIVHENITHERT LT 7 1)V 4
ZHRELET,
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F17E THOAR—bF--/—R7ANT 14—

HBOIHVAR—b - /—F-FANT1—

KROTEINT 4 —lF, TXRTOIZVAR—hF « J—RIZHEBELTWET,

#230. DL ZXR—K -« /J—K -« TO/NF 1 —

TanNT 14— ff TONRT 4 — D

publish_path ezl NEHEINZAA—TBIONTA—F— -
T 7 AIVICHERT B — N EREL £
£l

publish metadata 757 AA=—POANBIOHN, Tns507—
Y BTINEFHTHAYT—5 - T 74
WEERT 2N ESMNEHREL £,

publish_use_parameters 777 ABU—=L « JNT A= =7 *par T 7A
WICEENDZNESNEREELET.

publish_parameters D X~ FRTLZNITA—S—ZEELET,

execute_mode export_data A MU —LZRHETIC/ — REETTD

publish MWEDIN. J—ROEFTRIZA M) — L%

HEIICAR T2 ES M ZIREL 9.

asexport 7O/XT 14 —
Analytic Server T”7 AR — M2 XD, Hadoop 77 7 1)l -

EMTEET.
a1

node = stream.create("asexport", "My node")
node.setPropertyValue("data_source", "Drugln")
node.setPropertyValue("export _mode", "overwrite")

# 231, asexport 7O/NT 1 — :

2

N
I

(HDFS) TA MU —AL%ZETTHZ

asexport FONT 1 — F— FONT + —DIW
data_source & T—% ) —ZDAiil.
export_mode ezl IIAR— LT =5 2lFEDOT—

& ) — BT % (append) 70,
MGEOT—% - —2% LEEZT 2
(overwrite) MERTEL LT,
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cognosexportnode 7O/\F 4 —

- IBM Cognos BI 27 AR — b + /— Rld, Cognos Bl T—F X— A TigAHlD I EINTEDH
|®J HCF—F 2L AK— N TEET,

2D/ —RDOBFEH. Cognos H#iE ODBC #fiZaEFK T HMENH D T,
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Cognos &

Cognos D 7O/ T 4 —IXLKRDEBDTT,

# 232. cognosexportnode 7 /NT o —

cognosexportnode JTINT
4 —

F— M

pARVAL R RO E:|

cognos_connection

["FEN T 5 T S SCFB F
5"

Cognos H"—/N\—O#HFOFEMZZL Y A
roTONT 4 —, BRI TFDOEBD
T9, ["Cognos_server URL",
login_mode, "namespace", "username",
"password"]

ZZT.

Cognos_server_URL 1F, V — AWM

N TS Cognos H—/N—® URL T

K

Togin_mode (&, B4V A 2 Z2MHHTS

INEIMEIRL, true £/213 false @

WTNMNITED FT, true ITRET DY

a3, LFo&7 4 =V RzE8nd " i

BMELTLEET N,

namespace dH—/N—~AD 077 2

Ad2tFaUFs—RiE7ONA 5%

RLUET,

username HBL N password 1 Cognos H

—N\—IZOJF T HBRICHERT 51—

Y= ENAT—RTY,

Togin_mode OfXHDIZ, LFOE—FH

FHAFERETY,

+ anonymousMode, #:
['Cognos_server_url',
'anonymousMode', "namespace",
"username", "password"]

» credentialMode, #:
['Cognos_server_url',
'credentialMode', "namespace",
"username", "password"]

» storedCredentialMode, fi:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Z Z T, stored credential_name .
DAY MU —NTD Cognos DEMIE
HOAHTTY .

cognos_package_name ezl F—HF &L AR — KL TWS Cognos
T V= A (BHIEZT I R=2) O
INAB IO, KICHIZRLUET,
/Public Folders/MyPackage
cognos_datasource p &

%17

#® IV AR—b - J—ROTONT 4 —
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# 232, cognosexportnode 7/NT 1 — (FE )

cognosexportnode JTINT
1= TS TUNRF 4 — DB
cognos_export_mode PubTish
ExportFile
cognos_filename el

ODBC &k

ODBC ##iD 7 0/8T 4 —Z ROt 7 a3 > databaseexportnode IZ/RINTNEHDERULTY, /=
7ZL. datasource 7O/NT 4 —3ETIEH D EH A,

databaseexportnode ZO/\F 1 —

— T—HIN—=A+ TV AR—b - /—KT, =% ODBC @D L—af)-F5F—% -
%% AN EEABET. ODBC F—2 - Ve AT EEADICE. F— ¥ - J— ANEEL. 2
— DF—5 « )= ANAT B EZABHERETE LTV A LTSS D ET,

il

Assumes a datasource named "MyDatasource" has been configured

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tab

db_exportnode.setPropertyValue("username", "user"
db_exportnode.setPropertyValue("datasource", "MyDatasource")
db_exportnode.setPropertyValue("password", "password")
db_exportnode.setPropertyValue("table_name", "predictions")
db_exportnode.setPropertyValue("write_mode", "Create")
db_exportnode.setPropertyValue("generate_import", True)
db_exportnode.setPropertyValue("drop existing table", True)
db_exportnode.setPropertyValue("delete existing rows", True)
db_exportnode.setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue("export db primarykey", "id", True)
db_exportnode.setPropertyValue("use custom create table command", True)
db_exportnode.setPropertyValue("custom_create_table_command", "My SQL Code")

# Indexes dialog

db_exportnode.setPropertyValue("use custom create index command", True)
db_exportnode.setPropertyValue("custom create index_command", "CREATE BITMAP INDEX <index-name>
ON <table-name> <(index-columns)>")

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields", ["id", "region"]])
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#2233, databaseexportnode 7T1/NT o — :

databaseexportnode 7E/NF 1 — F—& R Tans ¢ —0H
datasource el
username Y
password ezl
epassword el ZOAT Y NI FEITRFICEE A HH
12720 %9, WHI/NAT— REAER
THIE, Y= AZa—o X
AT — RigHY —)b) Z2#HAL TS
EEv, FHLE hEv B3R
o TR/ AY = RO%RK) 5
BLT<Z3WN,
table_name pe
write_mode Create
Append
Merge
map peZil AR)—=L T4 =V RHET—HIN
—AFBIIY Y E T LET
(write_mode 7% Merge DHEITD A
AEh)o
WEOLA., IRTOT 44—V REY
Y EZ T LTI AR— T H0EN
HVET, TIXR—ANIZEEL
W7 ¢ =)V REM, FHLWwalE L TE
mEnEd,
key fields Uk FoIfFHESND AN =L T4 —
JVRZEEELET., mp 7 0/8F 4 —
3. T R—=ZATANY =L T4
— )V RN THIRT DA EZRL X
KD
join Database
Add
drop_existing_table 770
delete_existing_rows 770
default_string_size B
type AF—x A4 TOFREICHNEND
Y (A A VA ARG
generate_import 757
use_custom_create_table_command 770 custom_create_table ATy bz L
T. BEMEQD CREATE TABLE SQL O<
CREAELET,
custom_create_table_command XFA FEYEQD CREATE TABLE SQL IX > B

DOROVICHERTAXFIIAT S R
BELET,
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# 233. databaseexpormode 7/NT 4 — (FE )

databaseexportnode 7H/NF 1 — F— M TaNT 4 — D
use batch 770 ROTONT 4=, T—FRXR—ZAD
NVY - bo— RADOFMA 7> a>T
9, use_batch IZE (True) DfE%EE
ETDE, ATHMLOT —F R—=Z D
O3y MNENT/ED £,
batch_size fd AEY—IZII Y FEBHATICT =N
—Z2WREETH L I—- REEREL £
KR
bulk_Toading off NV s O— FOMBEZEZEEL T,
0DBC 0DBC B LW External JHOfAHNA
External Ta vERIRLET,
not_Tlogged 777
odbc_binding Row ODBC #&HD/N)LY « O— RiZHiT
Column 5. {THIMERIZFIHMDINA > RE
fRElL 9.
Toader delimit_mode Tab W70 S LREEO)NV Y - 00— R
Space DOHEIT. KD XFOMEAZETE L
Other %9, Other I3,
loader_other_delimiter
TaNnT 4 —EMBEDETERL,
2% () OEIBRYIOXFERE
L%,
Toader_other delimiter X4
specify data_file 777 B (True) D7 T T ZRETDHE, UL
T® data_file 7 0O/XT 1 —DVE%)
B0 ET, 207087 1 —ITid,
T—HN—=2INIVT O— RT B
DESRABILEDT 7 A IV ENA 2L
ETDHZENTEET,
data_file Y
specify loader program 770 H (True) D7 T TR ETDHE, UL
T® loader_program 7 /X7 ¢ —7A
ANCROET, ZOTONTF 4 —IC
F. RO —45— 2707 NERiE
TOU I LOLHT G ERET ST
LINTEET,
Toader_program 75
gen_logfile 727 H (True) DT IV ERETDE, P
D Tlogfile name MNAXNC/RD
T, ZOTONT 4 —IZiE, TI—
07 %&%RT 57200, —/N—ED
Ty ANVAHEERETHIENTEX
ER
Togfile_name e
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# 233. databaseexpormode 7/NT o — (FE )

databaseexportnode TN F 1 —

TaNRT 1 —DFW

check_table_size

H (True) D7 IV ERETHE.
IBM SPSS Modeler 705 L7 Ah— K
SNBFRICHIEL TTF—FRXR—2D
FT—=T) A XEHEFEITHEMSE 5
72D, T IIVBRENEmS NE
ER

loader_options

O—4%— 7073 AL
T. -comment BXLUN -specialdir @
Ko7, MmosIEERREL£T.

export_db_primarykey

WESNET 4 —IVRBRT T4
F—mESINERELEXT,

use_custom create_index_command

true DFE, TXRTDOA TV T A
IZRLUTH A L SQL (Z—HT—187
FEDSQL) AL ET,

custom_create_index_command

T4

A A% L SQL (L—H—EE DSQL)
WENZINTVWSHEE, 1>T v
ZADERICHEH NS SQL a< > R
ZIRELET. (ZOMEIE. FITRT
BEDA 2Ty 7 AL TEEET
EEX D!

indexes.INDEXNAME. fields

DEBGEIRESNLA TV IR
EERL. 201 >T v 7 ATEEN
274 )V REE—HEKRLET,

INDEXNAME "use_custom_create_
index_command"

BEDA T v 7 AT LUTHAY L
SQL (L—H—5EDSQL) ZHEE
FFWESNC TR ENET, #
MOKRDERICH BB ML TLES
VY,

INDEXNAME
"custom_create_index_command"

XTI

fRESINEA Ty I AN S
HAHY I SQL (L—T—FE DSQL)
ZEHLET. BHEOXRDEICHS
BlEBB LTSN,

indexes.INDEXNAME. remove

True OBFE. |ESINZA 2T VD
A>T ADTy S HIBRL
EJCIN

table_space

ERENDT—TI) « AR—AZIEE
L9,

use_partition

PNy T a - 74—V RIMER SN
LHEO5ELET,

partition_field

DNy T a s T4 =)V RONEEH
(L FT,

H: —fHOT—FR—ATld, TV AR—MRHIEMEINET —IXRX—A T—TIEERT 2 ENTE
F9 (BIZIE. SQL T CREATE TABLE MYTABLE (...) COMPRESS YES; E#EEL F9)., KDLDIc7 /7
4 — use_compression 3L\ compression mode ZIFEL T. ZOHEEE TR — L ET,

¥ 17 8 TV AKR—k - J—ROTO/)NT 41—
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K 234, JEMGHRREZ M L 7= databaseexportnode ZaNT 4 —

databaseexportnode 7 E/XF ¢ — F—5H pARVAL PRSI0 E:|
use_compression Boolean True IZRE LG EIE. EffCk2 TV AR
—MNAOT—TNEERLET,
compression_mode Row SQL Server T—4 X— A DEHE L NIV 2 &E
Page L7,
Default Oracle T—% XR—ZDEMEL NIV EHEL F
Direct_Load Operations 9, {H OLTP. Query High. Query Low.
A11_Operations Archive_High, XU Archive_Low IZIFmAK
Basic FR Oracle 11gR2 DML T,
OLTP
Query_High
Query_Low
Archive_High
Archive_Low

CREATE INDEX OAX > RZREDA > T w7 ARITEET % ke RrdHi:

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["use_custom create_index_command",
True])db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["custom create index command",
"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

HHWIE, FCALHEZNY 2 T—TIVERNWTITS LB TEET,

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id", "region"],
"use custom create_index_command":True, "custom create index_command":"CREATE INDEX <index-name> ON
<table-name> <(index-columns)>"])

datacollectionexportnode ZA/XF 1 —

IBM SPSS Data Collection L7 A7h—k + /—Ri&, IBM SPSS Data Collection DHiGFHA "/
YT THERT BB TT— Y &N LET. 20— REEHT 515, IBM SPSS
¢ Data Collection Data Library 731 > A =)L INTWBHLENDH D £,

il

stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport", "Data Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata file", "c:¥¥museums.mdd")
datacollectionexportnode.setPropertyValue("merge metadata", "Overwrite")
datacollectionexportnode.setPropertyValue("casedata file", "c:¥¥museumdata.sav")
datacollectionexportnode.setPropertyValue("generate_import", True)
datacollectionexportnode.setPropertyValue("enable system variables", True)

# 235. datacollectionexportnode 7' 11/NT 4 —

datacollectionexportnode 7 E/XF ¢ — F—H Tany 1+ —0OHM
metadata file X WMHTBEAYT—% - 771D
Ailo
merge metadata &=
MergeCurrent
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235, datacollectionexportnode /N T o4 — (FEZ)

datacollectionexportnode FTI/NF ¢ — T—5H TaNT ¢ — D

enable_system variables a4 I AR— SN mdd 77
IZ IBM SPSS Data Collection > A
TLEREZONESNERELE
ER

casedata_file P = - T—HMLY ZR— kI
% sav 7 7D,

generate_import 770

excelexportnode 7O/XF 1 —

Excel T AR—bk /J— KT, T—4 % Microsoft Excel xlsx 77 TILERXTHAL T,
EXCELT F7arT, J—RENEFIND EZICHBMIT Excel NEBL, TV AR—FT27 71
WEBITDLDICTEINTEET,

rrrr1

il

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full filename", "C:/output/myexport.x1sx")

excelexportnode.setPropertyValue("excel file type", "Excel2007")
excelexportnode.setPropertyValue("inc_field_names", True)

excelexportnode.setPropertyValue("inc_labels as cell notes", False)

excelexportnode.setPropertyValue("launch_application", True)
excelexportnode.setPropertyValue("generate_import", True)

72 236. excelexportnode 7 T/NT £ —

excelexportnode /N5 1 — F— &1 TN ¢ —DFH

full_filename &

excel_file_type Excel2007

export_mode Create

SENI

inc_field_names 757 T4 =V REANT = 2 — s DEA)
DIFICERRENENEINEFEL
£,

start_cell e I AR— ORIV EREL £
ER

worksheet name 75 EEADT—T > — D4,

Taunch_application 757 Excel DFERD 7 7 1 ) TIHERH S

NHEMESMZEIRELET ., Excel
ERETT /8201, A= -7
TV r—Tar] Y1470y Ry
DA (TY—=)V] AZa—n5 A
W= - 7T Ur—a>] ) NT
fRETHHENHDET,
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#236. excelexportnode 7' /NT 1 — (FE )

excelexportnode FOI/NF ¢ —

TaNT ¢ — Dt

generate_import

WhaEnies—% - 77 AV &isH

JATY Excel AJ1/ — RINEREIN
LMEIMERELET,

outputfilenode ZO/XF 1 —

- Ty7A) e J—RTIE, T—NPRYDXFETRYSNZTFARS - Ty 1IN haInx
Ea T, ZOZ LR MOV 7RIz 7 REFMEY T MU T ICHAADBEXTT Y E L
7 AR— T BHEEIT. BILBET,

il

stream = modeler.script.stream()

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full _filename", "c:/output/flatfile output.txt")
outputfile.setPropertyValue("write_mode", "Append")
outputfile.setPropertyValue("inc_field_names", False)
outputfile.setPropertyValue("use_newline_after_records", False)
outputfile.setPropertyValue("delimit_mode", "Tab")
outputfile.setPropertyValue("other delimiter", ",")
outputfile.setPropertyValue("quote mode", "Double")
outputfile.setPropertyValue("other_quote", "*")
outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate import", True)

#2237 outputfilenode 7 /NT 1 —

outputfilenode 7TNF 1 — F—& 1 TaNT 4 — Dt
full_filename XFH H17 7 A IV DA,
write_mode TEZ
B0
inc_field_names 757
use_newline_after_records a4
delimit_mode Comma
Tab
Space
Other
other_delimiter char %4
quote_mode None
Single
DoubTe
Other
other_quote 757
generate_import a4
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# 237, outputfilenode 7O/NT 4 — (FEZ)

outputfilenode JTINF 1 — F—& 1 TONTF 4 —DHH
encoding StreamDefault

SystemDefault

"UTF-8"

sasexportnode 7O/XF 1 —

SAS T AR—h « J—RT, SAS F/21F SAS At TR T T « Nur—ITHARDT
[@ — &%, SAS WA THITEET., 3 DD SAS 77 1 ILERNHHAIGETT . SAS for
Windows/OS2, SAS for UNIX. F/zid SAS N—2 3 > 7/8

1

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full _filename", "c:/output/SAS output.sas7bdat")
sasexportnode.setPropertyValue("format", "SAS8")
sasexportnode.setPropertyValue("export names", "NamesAndLabels")
sasexportnode.setPropertyValue("generate import", True)

# 238. sasexportnode 7T/NT A —

sasexportnode JO/NT 1 — F—A R Tans ¢ —0 3]
izl Windows NUTZ R 7a)F— - IR
UNIX W T 4=V R,
SAS7
SAS8
full_filename e
export_names NamesAndLabels I AR—IZT7 4=V R4 %
NamesAsLabels IBM SPSS Modeler 775 IBM SPSS
Statistics 7213 SASZ %44 1 BYH
fFrE9,
generate_import a4

statisticsexportnode ZO/\F 1 —

Statistics 27 AR—k « J— R Tld, IBM SPSS Statistics .sav £7213 zsav 74 —< v b TT
—5EHH LU ET, sav £721E zsav 7 7 1)UL, IBM SPSS Statistics Base 3L N2 DD
' B THAIAD T ENTEET, ZOFRIL. IBM SPSS Modeler DF ¥ v a + 77 LT
HFEHINET,

ZD/)—=ROT)NT 4 —IZDOWTIE, B23 XR—=2 D [statisticsexportnode 7 1 /NF 4 —J [ZFR#k I 11T
iﬁ_‘o

W17 E TV AR—k - J—RoTonNsFe— 317




tmiexport / —RD70O/XF 1 —

IBM Cognos TM1 L7 A7Rh— K « /— R, Cognos TM1 T—F RX— A T#H A5 EINTE
@ LW TT—Y %L AR—FTEET,

Ry EXY TunT 4 —DREH

exportNode.setPropertyValue("spss_field_to_tml element_mapping",
[[["Dimension_1 1", "Dimension_1 1", False], ["Dimension_2 1", "Dimension_2 1", False],
["Dimension_3 1", "Dimension 3 1", False], ["Periods", "Periods",
False]],[["Measure_1", "Measure_l1", False], ["Measure_ 2", "Measure 2", False],
["Measure 3", "Measure 3", False]ll)

#2239, tmlexport /— RDTO/NT 4 —:

tmlexport /— RO FONF ¢ — TR TONT 4 —DFE

pm_host p & E:N—=Tar 160 BED 170 ODBFEDH
BRA MG, LUFICHlZRLUET,
TM1_export.setPropertyValue("pm_host",
"http://9.191.86.82:9510/pmhub/pm')

tml_connection ["T 4=V R T — |iFE: N—23 > 160 BEK 17.0 ODBEEDOH
VR 74—V R | TMI B —N\— OO Z2E50 U 2 ko7 0/
"] T4 — ERIIRODEBDTT: [

"TM1_Server Name", "tml_username",

"tml password"]

BARicHl 2R L £,
TM1_export.setPropertyValue("tml_connection”,
['Planning Sample', "admin" "apple"])

admin_host el FN—=Tar 171 UEOH

REST API ®7RA h#®D URL.
server_name & E:N—=Tar 171 DDA

admin_host M SER Lz T™M1 H—/N\N—0D i,
selected_cube 74—V R F—=F DI AR— NEDF 2—T DAHL. LIRS

&R LU ET., TM1_export.setPropertyValue
("selected cube", "plan _BudgetPlan")

spssfield_tmlelement_mapping JZ R XwTEND tml EHEIL, BRINEZFa—-T B
2—DHT 4 A>T a > O—WTHRINIIRD £
lo BERIEIKDEBVTT, [["paraml”,
"value"],...,["paramN","value"]]
PAFicHlzRL £,
TM1_export.setPropertyValue("spssfield_
tmlelement_mapping",

[["plan_version","plan_version"],
["plan_department","plan_department"]])
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xmlexportnode ZO/XF 1 —

r—j XML 27 AR—k + J—RTld, XML BRXOT7 7N T—4Z2HhLET, 723>
ﬂﬂﬂ T, IVAR—=BRLET—FE2 AN —=LAICHEAAD XML AN/ — RZ2ERTEET,

1

stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full _filename", "c:/export/data.xml")

xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"], ["/catalog/book/title", "title"]])

2 240. xmlexportnode 7' I/NT o —

xmlexportnode 7T/NF ¢ — F—& R TNy —DHM

full_filename e (WZH) XML T7 ZR—b « 7 71 )V DTEE/N
ABELVT 7 1)V #.

use_xml_schema 770 XML AF—< (XSD 7 7))V £/l DTD 7

7)) ZHEALT, T/ AR—hEnzTF—
DG ZRIHT 2N EDINEIREL LT,

full_schema_filename FH 9% XSD 771 I)VERIT DTD 77 A1)
DFEENABELET 7 A )4, use_xml_schema
M true ICRRE SN TN DEHBICOBMLEAT

ER

generate_import 757 IVAR—bEINET—5 - T7 (I EZXRY
—LIZHHAT XML AT/ — K&, BEIC
AR L ET,

records EF L d— ROHEH{ERT XPath Ko

map e XML f&EIC7 4 =)V R E<Y Yy ES T LE
T

W17 E IV AR—F - J—Ro7onFs— 319
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2 18 & IBM SPSS Statistics /— FDZ70O/857 1 —

statisticsimportnode Z70O/XF 1 —

. Statistics 7 7 1)+ /— R, FUCBXZHHT S IBM SPSS Statistics THAIND sav £
( \ 7213 zsav 77 AVBROF— B LR IBM SPSS Modeler ICBEESNEF v via - 774
— I FAIABET,

1

stream = modeler.script.stream()

statisticsimportnode = stream.createAt("statisticsimport", "SAV Import", 200, 200)
statisticsimportnode.setPropertyValue("full_filename", "C:/data/drugln.sav")
statisticsimportnode.setPropertyValue("import names", True)
statisticsimportnode.setPropertyValue("import data", True)

# 241. statisticsimpormode 7 T/NT 4 — :

statisticsimportnode YONF(— | F—FH TaNT ¢ —OHW
full_filename e NAZGE, ERIET 71 )4,
password el JNAT— R, password /XT A—# 3
file_encrypted /N T A—% XD HFTHIRET
DNEMNHDET,
file_encrypted 770 Ty AIVINNAT — BRI NTVWENED
e
import_names NamesAndLabels TR EER T RV BT B ik,
LabelsAsNames
import_data DataAndLabels i & T V2T D1k,
LabelsAsData
use_field format for_ storage Boolean - >R — RFFIZ IBM SPSS Statistics 7 4 —Jl
FEXEREGRATENEDNEREL £T,

statisticstransformnode Z70O/\5 14 —

Statistics Z2°#& / — Rld. IBM SPSS Modeler D7 —4 + ) —ZIZx%3 % IBM SPSS Statistics

@ } SIH YA AR ROBREFVWET, 20/ —Rid. St ANE% 5N7E IBM
‘+_+ SPSS Statistics @ I E—WAETT,

1

stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform", "Transform", 200, 200)
statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticstransformnode.setKeyedPropertyValue("new name", "NewVar", "Mixed Drugs")
statisticstransformnode.setPropertyValue("check before saving", True)
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2 242. statisticstransformnode 7 /NT A —

statisticstransformnode 7 0/NF ¢ — F— & # Tans ¢ —OHM
B ezl
check_before_saving 757 HHZREFT 20, Ahsnky

SV AERALET, >y
J ANENIRGEIE, TT— - Aw
t—YEFRLET,

default_include 720 FL<IE hEwI[3aX=20)
[ Tfilternode 7 B1/%F 1 —J [& &R
LTLZEZW,

include 770 LI, FEY 134 RX=2D
[ Tfilternode 70/3F ¢« —J [&&
LTL7ZEn,

new_name 55 FL<IE hEwI[38X=20)
[ Tilternode 701/3F ¢ —J [&&
LTSN,

statisticsmodelnode Z7O/NF 1 —

Statistics ®F )+ /— RZ#HT 5 L. PMML Z{ERT % IBM SPSS Statistics Tt = % E1T
@ LTTF— Y29 MBEIMMERTEIENTEET, 20/ —Rlid, 12 ANGZ6NE
IBM SPSS Statistics O 1 E—NKETY,

il

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticsmodelnode.setKeyedPropertyValue("new name", "NewVar", "Mixed Drugs")

statisticsmodelnode 70N F ¢ — F—& Jans .« —o0HH

X el

default_include 770 FEL<IE. FEY 134 R=DD
[ Tfilternode 7 01/%5F 1 —J [& &R
LTL7ZEn,

include 777 FL<IE FEY I3 R=T )
| Tfilternode 7' 01/85 1 —1 [&&HH
LTLES,

new_name NFF LT, FEwZ[134 R—=DD
[ Tfilternode 70 /%F 1 —J [&&
LTLEE,
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statisticsoutputnode ZO/XF 1 —

Statistics /71 / — K& % &, IBM SPSS Statistics Tt = ZIEFNH L, IBM SPSS

r@ | Modeler ¥—% 531352 ENTEET, SETE/Z IBM SPSS Statistics M FHEEI1TT 2
BE== TATEEY, 2O/ —FRliE. F1EANEZ 537 IBM SPSS Statistics D1 E—7A W HE
T,

1

stream = modeler.script.stream()

statisticsoutputnode

statisticsoutputnode.

statisticsoutputnode
statisticsoutputnode

statisticsoutputnode

= stream.createAt("statisticsoutput", "Output", 200, 200)
setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A) BP(A) Cholesterol(A)")

.setPropertyValue("use output_name", False)
.setPropertyValue("output_mode", "File")
statisticsoutputnode.

setPropertyValue("full filename", "Cases by Age, Sex and Medical History")

.setPropertyValue("file_type", "HTML")

7 243. statisticsoutputnode 7 T1/NT o —

statisticsoutputnode 7T/ F ¢ — F—& 1 TaNT ¢ — D
mode Dialog IBM SPSS Statistics 41 7 I
BX Tl A TarERFI v
A IT 4B ET,
B XTFF
use_output_name a4
output_name e
output_mode Screen
File
full_filename e
file_type HTML
SPV
SPW

statisticsexportnode 7O/\F 1 —

Statistics 27 AR— bk « /— R Tld, IBM SPSS Statistics .sav £7213 .zsav 74—~ v N TT

| —HEHILET, sav £721F zsav 7 71 )VIE. IBM SPSS Statistics Base B X NZ DD
: B THAADZ ENTEET, ZOBRAIL. IBM SPSS Modeler DF v v 2+ 771 )LT
HFEHINET,

1

stream = modeler.script.stream()

statisticsexportnode

statisticsexportnode.
statisticsexportnode.
statisticsexportnode.
statisticsexportnode.

= stream.createAt("statisticsexport", "Export", 200, 200)
setPropertyValue("full_filename", "c:/output/SPSS_Statistics_out.sav")
setPropertyValue("field names", "Names")
setPropertyValue("Taunch_application", True)
setPropertyValue("generate_import", True)
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7 244. statisticsexportnode 7T1/NT o — :

statisticsexportnode 7

NamesAsLabels

anNT 1 — F—5M TaNT 4 —OHH

full_filename Y

file_type sav Ty A% sav £720F zsav B THREL £T. DITICHlZRL
zsav ESr

statisticsexportnode.setPropertyValue("file_type","sav")

encrypt_file 770 Ty AN AT — REEIN TV DN E DD,

password el INAT— R,

Taunch_application 750

export_names NamesAndLabels I AR—RRFIZT7 4 —)V R4 % IBM SPSS Modeler 75 IBM

SPSS Statistics F721d SASZTE AL ITBEMN T E T,

generate_import

757
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E19 8 R—N—/—FRD7aONnT1—

A—)N—/—REHFOTONT 4 —Z2ROEFIRLET, @D/ —R - JOoNX5 1 —HA—/\—/— R
WHINDZEICEELTLIZSI N,

F245 Y —3IF )« A—/N—/— RO 7O/)NF 4 —

Tans 1 —t TaNT o — OO Rt TaNT 4 — O]
execute_method Script

IER
script el

A==/ —=FDNIA=4 —
RO—HREMHL T, A==/ —RONITA =Y —ZEREZIRETLDICAZ U T hEHEHT
EEXD

mySuperNode.setParameterValue("minvalue", 30)

LIFZfAL T, NIA—F—HZRGTLHIENTEEXT,

value mySuperNode.getParameterValue("minvalue")
BIFEORX—/N—/—FDR%
findByType() Btz L CT. A MU —ANDA—/N\—/) —RZMRTEET,

source_supernode = modeler.script.stream().findByType("source_ super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super", None)

h7teIE/ —Ro7ans« —&E

A==/ —=RHNDOFIATITILITIEARATHZEICKD, A—/8\—/— ROHIZH TS =k
ED /) —ROTONT 4 —ZRETEET, FIAE T ERHAADZDICH TSN EET 7
ANDBBANA—IN—) —RRHBELET, UTFDOELDICL T, FAAMTTILIT AL, B/
—REMRETHIEICLD, SHABT 7y AV DFART (full_filename 7 TO/XT 1 —ZH L THHE) 2
TIEMTEET,

childDiagram = source_supernode.getChildDiagram()

varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

A=/N\—/ — RDER

A—=/N— /) — REZDOHHEPDONSERT ZHE. FROHETITO ZENTEET, Z0EDITE. A
—NN—/—RZERL., THATTILZTZEALT, HHO ) —REZERLET, A—/—/—RKD¥
AT TISLNDITRTO /) —RE, ANWaxsy—- /) —Retihaxsy—-- /) —R&EUIIEBLD
T2 ZEHMETT, #lzE, 7oA A—1—/)—RZERTIEEE. kXI5 ICLET,
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process_supernode = modeler.script.stream().createAt("process_super", "My SuperNode", 200, 200)
childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)
childDiagram.TinkFromInputConnector(filternode)

childDiagram.linkToOutputConnector(filternode)
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& A. /—FBDUYI 7L 2R

Z ZTliE. IBM SPSS Modeler @/ —RDAZ YT 4D 757 L 2 AZ2HtL£7,

ETFN-F Ty
EFN -7y N ERISNEETN) & /=R ATy hEMAFT Vs FERKIC, TOMHE
TBRTEET, ROKI, TN FTVxs hOBILE -ERRLET,

INSDO4£4HIIE. IBM SPSS Modeler 7 1 > R DA EREICH S T£57)V) /XLy RAOETIV - T v b
EHBBT L7012, HRcEASINET., Za7V T OHNTA N —AIZEBMENEZETI - /J—R%E
BT DI, apply... OHHEHSMFWEZRIOAHLY hAEHINET. F#L<E FEVIETIL -]
(7w k- 7—Ro7oNTF 1 —JeSBLTIZIN,

7E B ORR T, ARiBESY BEOW L TETINESRT S LN, RELZ#ITS20ICHRINE
—g_o

F246. EF)N - FTw R& ( TEFIAER) NLw )

EFIVA EFI
anomalydetection BEAE

Apriori Apriori

autoclassifier HE R

autocluster HEN A% —
autonumeric H BB

bayesnet NAX -y hT—2
c50 C5.0

carma Carma

cart C&R Tree

chaid CHAID

coxreg Cox [A1

decisionlist T4 Yar-UAhb
discriminant 1

factor K754
featureselection 74 =)l RER

genlin — AR B Al

glmm GLMM

kmeans K-Means

knn k IRl

kohonen Kohonen

R st

logreg O AT 4 w7 ElE
neuralnetwork Za—J) -y hU—=7
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#246. ETI) - FT v NG ( TBETIERR) /NLw b)) (i Z)

ETFINVA EFN

quest QUEST

regression FREY [

sequence =T A

slrm HOPEIREET IV
statisticsmodel IBM SPSS Statistics £ )1
svm Support Vector Machine
timeseries IR 251

TwoStep TwoStep

K247 ETN - FTy b ( [T=IXR=X - EF U7 Ny b):

TN EFI

db2imcluster IBM ISW 7525 Y > 7
db2imlog IBM ISW O A5 ¢ v 7 [all#
db2imnb IBM ISW Naive Bayes
db2imreg IBM ISW [Ellf

db2imtree IBM ISW 73232 -V 1—
msassoc MS YV IT—ar )=
msbayes MS Naive Bayes

mscluster MS 75 A5G

mslogistic MS O AT 1 w7 [l
msneuralnetwork MS Za—J) -y hT—7%
msregression MS #REIE]E
mssequencecluster MS =45 >RAUFAFYT
mstimeseries MS #A L 2U—X

mstree MS F3Par VU —
netezzabayes Netezza NA X = Xy hT—2
netezzadectree Netezza 7 > a > -« VU —
netezzadivcluster Netezza 7357 T AZ U 2T
netezzaglm Netezza —fi{bAR
netezzakmeans Netezza K-Means

netezzaknn Netezza KNN

netezzalineregression

Netezza FR%[a]

netezzanaivebayes Netezza Naive Bayes
netezzapca Netezza PCA

netezzaregtree Netezza [Alff> V) —
netezzatimeseries Netezza HFR%1

oraabn Oracle Adaptive Bayes
oraai Oracle Al

oradecisiontree Oracle 7> a> -V —
oraglm Oracle GLM
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#247. BT - FT Y RN ( [T—IRX=Z - EFTUT] NLw b)) (5Z)

ETFINVA EF)N

orakmeans Oracle k-Means
oranb Oracle Naive Bayes
oranmf Oracle NMF
oraocluster Oracle O-Cluster
orasvm Oracle SVM
EFTHETINRDE;R

EREINZETIIVERIETH2OICAV7 ) T hEFERT 585G, EETITETINEAEZHHALTWSE, AV
TERBHNWEWTRE I EICHEERTAIVENDHDET, INZETLHZDIC. A7V T MERRIZ, AR
SNEETIIIEE—BOLHIEZHEHT A2 L2BED L ET,

HEITDZETINAICET A T a > 2RET DI
. AZa—MM5ROEHZERLET,

—)v) > A—¥— FFT 3]
2. L@ 7270w L%T,
3. ARESNZETIVICH L TEET 24012219 5121F,. THiOETIVEEB] 28R F7,

HNEWRETINOSRND 5856, A7) 7 NETOEEIL SPSS Modeler & IBM SPSS Collaboration
and Deployment Services & D T2 D £, SPSS Modeler 7 71 7 > MZIZHEMIZFE U4z DE
TWEBESMALF T a [HOETNEESHAS RHVET B A7V T hEI—T TR
B TR R D 4012 ER). LU, ZOF T3 i3, AUCAZY T RAY IBM SPSS Collaboration
and Deployment Services TEITINALBIIHEHTEE . I—TOKTHIIC, ETIMITHT2HWNE
WARSHRZRM T2 -DICERETERINDETIVOLRTEEET 50, BEOETINEIUTTHI L
12X D (clear generated palette X DEBM/RE), ZDRNZREHETSHIENTEET,

e

RORIZ, TXRTCOMNA Tz 7 hoERE, TNEIERTS ) — RE2—EXRLET., &F¥1 7O
N4 T2 hTHATESI AR — MEROZELRRY Z MZOWTIE, YA T&2EKRT 2/ — RO
TanF 4 —0FHW (P53 IER ) —Romo7aoNT « —|HiE T —Ro7a/)F =) 28R T<
723,

#2488 HhA T2 FoEEE, TDF T NEERT S/ —F

AT 27 FOH J—F
analysisoutput VAl
collectionoutput KEtBET 57
dataauditoutput T — 5 iR
distributionoutput baxiil
evaluationoutput B2
histogramoutput EAXANT T A
matrixoutput AV S )
meansoutput Y

4k A /=R T77L > 329




K248 HHA T2 7 FoOMEE, TOF T2 FEEKT D/ — R (5

WMhF T 7 - ofi J—F

multiplotoutput <V F A

plotoutput 1E

qualityoutput '

reportdocumentoutput ZOF TPl NOFEIZ/ — Rh50b0TIdR<., JOoPx
7 ke LIR— MERE N 1T,

reportoutput LAR—h

statisticsprocedureoutput StatisticsOutput

statisticsoutput FLIRAEET

tableoutput %

timeplotoutput iSEY A

weboutput Web
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18 B. /ERKDROZ VT M5 Python RO Y T bADEST

WRDRAI VT bOBITOEE

Z ZTl. IBM SPSS Modeler T®D Python A7 U7 KNERKRDAY )T RDBEVWEELKL, ERKOAZY
7 % Python A7 U T MIBITTHHEICDONWTHIILET, £z, SPSS Modeler DEEHERZ2HERD
Y2 RE %D Python IXY > ROUZXARBHRLET,

—iRHEER

WRDAD )T NOREREFOKEIHE, 0S AX R« A7 U T IR > TWET, /EROAZ Y T K
3. fFEMTHO., —FHoT Oy K (if...then...else...endif %, for...endfor 72&) MNdHDHEL
TH, 12T M RICE®RNH D R A,

Python A7 U7 FTld, A>T > MZEKRNH D, F—0@mMH 70y Z7IZET2EH8DTIE. HULAN
WA T2 FENTWHRERDH D T,

f¥: Python I—RZIE—L THOMAF 255G, HEPLETT., FTZEALTTI 2T hENTW
21713, T4 —LET, AR=AZMHLTA > T hSNTWAITERILL D ICRAZ2HENH 0 %
T, Ll TNSDITNFEICA 2T > FTh B EIFRAZRIN/RNZD, Python AV U T MITIT—%4E
U £,

RO2YFph-aryFER b

AT K TFFAMMEL. AV T RNEEFTIHEE B AU T REEFTEZARN—LARA
—N—/—RK) ZEHLFTT, WROZAZ YT RTIE, 2>TFA NIRRT, 2F0, FIZIE A+
=L AZUTMHAD /) —RBHEIZ, ZOAT7Y T N2ETTHIAMN)—LARNIIHLEEEINET,

Python A7 U7 hTld, AZ U Tk« 2>FFZ NI, modeler.script £ 2 —)WZ X > THRMIZER
INET, FAIE Python ARY—L - ZAZ7UTME, LFOI—REFEHLT. A7V T NE2ETT5
ARNY—=ALIZT7 IV EATELT,

s = modeler.script.stream()

AR —LICBEE U ZBEIE, BENA T2 ML TR Z ENTEET,

O R EREE

WROAZ YT ML, A RIGAITY, DD, AV U T hORITIE, ETTH20ENH S 2 Rk
HIZHD, NIA—F=DPRIHEEET, X LTFTOEBDTT,

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"

Python (3. ¥, BBZERIT LA TPV b (E¥a—)b, VI A, £LEFF T2 b) ITk-> TRE)
ENDEBEMEMLET. AL LFOEBDTY,
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stream = modeler.script.stream()
typenode = stream.findByType("type", "Type)

filternode = stream.findByType("filter", None)

stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")

UFSIETAAXV B

IBM SPSS Modeler TELEHAINE DU FTI) - A RBIARA AL - a7 2 RIZiE. Python

A7) T ROR%EIR RAHD FT, Z1Ud. SPSS Modeler DEEFDHERD A7) 7 s %, IBM SPSS
Modeler 17 THEHTE 5K 512, Python A7 U 7 NMIEHT HDITHIBET,

78249, VFINETRZ FOWNRDZZ ) T KNS Python X710 T hADY v ED !

WHRDAZY T R Python A7 U 7 k
2R Bl 4 [T
PR/ NS R, Bl 0.003 [U
5[ HfF TR ENZCF5, #i: 'Hello! [T

7E: JE ASCIH XFENEENTWALFHN T )L,

GEEE u ZfHF T, Unicode &L TELET,

#

ZHLI AT THENZSCFS, B "Hello again"

[\ T

iE: IE ASCH XFENEENTWSXFEH T )L,

SHEE u ZfFF T, Unicode ELTELET,

Rwxvsl. fi:

"""This is a string
that spans multiple
'l.inesll unn

[ C

set x = [12 ¥
3 4]

U, #i: [12 3] [1, 2, 3]

RO, #: set x = 3 x =3

T OHkSE (o Bl x=1[1, 2,¥%
3, 4]

Ty OaARX b, Hi:

/* This is a long comment
over a line. */

""" This is a long comment
over a line. """

fTOIA N, Bl: set x =3 # make x 3

x =3 # make x 3

undef None
true True
] =]
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HET

IBM SPSS Modeler Tk < il I3 OEHE T~ > RIZIE, Python A7 U T hORZ%EIX > ROH
NDET, ZHUL, SPSS Modeler DEEFEDHERD A7) 7' K%, IBM SPSS Modeler 17 THATE%L9

IZ. Python A7 U 7 NMIEHTHDITHEIEET,

£ 250. {EEFDORADZX 21 T KNS Python X271 T RADI v E> T

koA YT B Python A7 U7 b
NUM1 + NUM2 NUM1 + NUM2

LIST + ITEM LIST.append(ITEM)
LIST1 + LIST2 LIST1.extend(LIST2)
NUM1 — NUM2 NUM1 — NUM2

LIST - ITEM LIST.remove (ITEM)
NUM1 * NUM2 NUM1 * NUM2

NUM1 / NUM2 NUM1 / NUM2

/= =

/==

X *x Y X **% Y

X<y X <Y

X <=Y X <=Y

X >y X > Y

X >=Y X >=Y

X div Y X /1Y

X rem Y X%Y

X mod Y X%Y

and and

or or

not (EXPR) not EXPR
FHEEN-F

IBM SPSS Modeler TL<fEHINS —HOEMHFI~Y > RBXWL—7 + O< > RIZid, Python A7 U7
NOREZEIY > RMNHDET, 3L, SPSS Modeler DEEFDOHERD A7) 7 K%, IBM SPSS Modeler
17 THATESLDIT, Python AV YU T MIAEMT HDICHLEET,

F 251 FMEEIN—TDRFKDZX 1) T KNS Python X7 T RADIwET

PRDODAZY T

Python A7 YU 7 |k

for VAR from INT1 to INT2

endfor

for VAR in range(INT1, INT2):

or

VAR = INT1
while VAR <= INT2:

VAR += 1

for VAR in LIST

endfor

for VAR in LIST:

fték B. #ERD A7 U T RS Python A7 U T hAOBAT
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251 JEEIN—TDRKDZX ) T RS Python X271 T ~ADIYwET (FEZ) !

PERDAZ YT B Python A2 U7 b

for VAR in_fields to NODE for VAR in NODE.getInputDataModel():
endor

for VAR in_fields_at NODE for VAR in NODE.getOutputDataModel():
endor

if...then if ..o

e]éé%f...then e]%%'...:

else’ else:

endit

with TYPE OBJECT Al HREZR L

en&&%th

var VARL BRHESIAE

=

HEROZ 7V T R TR AREBRENSHCESLET, IR UFOEB0TY,
var mynode

set mynode = create typenode at 96 96

Python A7 1) 7 N Tld, ZBEIVIEIOSBIFIERINET, X LFOEBDTY,
mynode = stream.createAt("type", "Type", 96, 96)

PWRODAZ )T R TI, BROZIIE ~ HETFEMEH L THRICHIBRT 206 ENH 0 £9, FIAE B
TOEBDTY,
var mynode

set mynode = create typenode at 96 96
set “mynode.direction."Age" = Input

FEAEDAY )T MERE LR Python A7 U7 FTIE, ZHUIAETY, #IZIE, LFOEBDT
j‘o

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction","Age","Input")

/=K. BHh. BLVETINVDESAT

WKOZAZ) T NOIFEIERA TN 0T (/—R, B, BEXOREF)I) Tid, #@%. 17
MA T bDOYA FTITBIMI NI TWET, I, 74—V RIER (Derive) / — RO A
7%, derivenode TTI,

set feature_name_node = create derivenode at 96 96

Python @ IBM SPSS Modeler API {213, node #ERENEZEN/RNZD, 7 4 — IV BIERL / — B (Derive)
DA 7. derive TT, HlZIX. LFODEBDTY,

feature_name_node = stream.createAt("derive", "Feature", 96, 96)

kDA )T ~E Python A7 U T RTOY A THDOHE—DENWIZ, A THEHNBZNI ETY,
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Tanr+14—%
TONT 4 —%F /RO AZ ) T K& Python A7 U T NTHUTY, flzlX, AIEE7y1I)L - /—R
T, 77 ANVOEFRZEERT S 0/8T 4 =13, WiHFDAZ U T REEET full_filename TT.

/—kRosHE

< OWRDAZ YT M, BEROMBEZFHL T, £2ETS /) —RFZ2ADFTY7EALET, A
Foa< > Ri&, )0 [Type) AL T, BUTA M) —LDHTT—FR ) — RZmB L. [Agel
7 4 =)V ROKE (FFETIVERDOZE]) % Input 12, Drugl 74 —J)V R% Target (Tl 3151H)
ICRREL £7

set 'Type':typenode.direction."Age" = Input

set 'Type':typenode.direction."Drug" = Target

Python A7 U7 RTiE, 70T 1 —fHZRET DD OEKEFOHITRIIC, /—R-F TPV h%
BRI EIRET D2 HERH D ET, flzX. LFOEBDTY,

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

H: ZOHE. "Target" Z23XFHG A CTHOLEND D £,
Python A% 1) 7 ~d. ModelingRole %%7% modeler.api /N\w o —I THATHIEDHTEET,

Python 27 U7 hON—a 2 id. KORERGENHDETN, /— RORRITEE 1| BOATHNDS
. TUHAL NT =R CANELIBZDET, EROAZ U T hOFITIE, /— RORRIE, a7 >
RZEIfTbNEd,

ID IZ&%/—ROMBHYR—FINTVWET (/=R IDIE /=R F47070 ER & T THE

WTEET), IR WEROZAZ YT RTIE UMTFTOLDICLET,

# 1d65EMPBIVL87 is the ID of a Type node

set @id65EMPBIVL87.direction."Age" = Input

LFDAZ Y7 RME, Python A7 YU T haEHLEZLGEORUCHTT,

typenode = stream.findByID("id65EMPBOVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

FONT 1 —DMBLHRE

PROAZ )T RE, set A REFHLT, EZE2EDSTET, set AV FOEAIC, TO/XF+
—EREFHITDZENTEET, UFORZ YT NI, TONT 4 —2RET D200 2 DOFMEER
ZRLUTVWET,

set <node reference>.<property> = <value>

set <node reference>.<keyed-property>.<key> = <value>

Python A7 1) 7 NTI&. B setPropertyValue() & setkKeyedPropertyValue() ZfiM L T. R UKEEMN
BEonEd. HlzE. LFOoEBDTT,

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

PWERDAZ YT RTIE, get AXRZHEAL T, 7ONTF 4 — BT 7 EATELT, HIAE UFOE
BOTY,
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var n
set n
set v

o<

get node :filternode
~n.name

Python A7 U 7 N Tl&, BI% getPropertyValue() ZfAL T, RUEREMNMESNET, HZIE DIFD
EBDTY,

n
\

stream. findByType("filter", None)
n.getPropertyValue("name"

A MY —LADFEE
WRDZA 7Y T RTIE, create AR REFHLT, LW/ —RE2ERLETT, X, UFOEBD
<9,

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

Python A7 U7 R TIE, /—RZERTHLZDDIEIERAY Y RVA M) —AICHEINTNHET,
BlIZE, UMFDEBD T,

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

WROAZ YT F T, connect A REMHAL T, /—FHOYU >V ZERLET., BIARE LLFoL
BOTT,

connect ~agg to “select

Python A7 U7 RTIiE. link AV RZHEHL T, /—REOU > 7 Z2ERLET. #IZIE. LFOoEB
nTI,

stream.link(agg, select)

WERD A7) T RTIE, disconnect AX > RZMHEHAL T, /—RMEDU > 7 Z2HIBRL T, #lziE. IR

disconnect "agg from “select

Python A2 U7 FTld. unlink AV vy RZEHL T, /—FHDOU > 7 Z2HIRL £, #HIZIE LFOE
BOTT,

stream.unlink(agg, select)

PERD A )T KT, position AX > REMALT, ARU—A - F¥ > NRIZ/—REEELZD,
fitd /) —REIC/ —RZEELZDLET, #lAE LFOEBDTT,

position "agg at 256 256

position "agg between “myselect and “mydistinct

Python 227 1) 7 KTl 2 DDHEILDH A R setXYPosition & setPositionBetween ZfEH L T. MU
fRMRONET., ANITHIZRLET,

agg.setXYPosition(256, 256)
agg.setPositionBetween(myselect, mydistinct)
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/J — Fi#gE
IBM SPSS Modeler TX<HHIND D/ — FEED~Y > RITIE, Python A7 U7 FOFEZEI~Y > R
MMHVET, THUL. SPSS Modeler DEEFDHERD A7) 7 K%, IBM SPSS Modeler 17 TEHTZ%
£ 212, Python A7 Y T NMIEWT DHDITHNLEET,

#252. ) — REEDRHKDZ 1) T K0S Python X7 T hADIY v EZ D :

WROZAZ YT b

Python A7 U7 b

create nodespec at x y

stream.create(type, name)
stream.createAt (type, name, X, y)

stream.createBetween(type, name, preNode, postNode)

stream.createModelApplier(model, name)

connect fromNode to toNode

stream.link (fromNode, toNode)

delete node

stream.delete(node)

disable node

stream.setEnabled(node, False)

enable node

stream.setEnabled(node, True)

disconnect fromNode from toNode

stream.unlink (fromNode, toNode)
stream.disconnect (node)

duplicate node

node .duplicate()

execute node

stream.runSelected(nodes, results)
stream.runAl1 (results)

flush node

node.flushCache()

position node at x y

node.setXYPosition(x, y)

position node between nodel and node2

node.setPositionBetween(nodel, node2)

rename node as name

node.setLabel (name)

=7
WRDZAZ YT RTE, HR—FENTWEERIN—T - AT ain 2 DH0ET,

s WU KB NN —T, AT w7 AEEN, 2 DOEEOEROMTELL X7,

= XM ) —T, —EHOEEIN—T LT, BECEEIN—TERIINA > RLET,

UTFOZAZY T NI kO AZ ) T NTOhY > ROL—TOHITT,
for i from 1 to 10

printin 7

endfor

PLFDAZY T M, $EkODAZ ) TR TOY—4 2 ZAB)—TDFITT,

var items
set items = [a b ¢ d]

for i in items

printin 7

endfor

LFOX 572Dy A T D) —T b EHRRETT .

e EFI) - Ny FOETIV, FREHANL Y o EKET S,
J—RICAD T4 —IVRERZIZ /) — RO T4 —IVREKIET S,

fték B. #ERD A7 U T RS Python A7 U T hAOBAT
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Python Z27 1) 7 hThH, IEIERTA TOIL—T%HE—FLTWET, UFDOAZ U7~ Python
APV T RTOAD > ML —T DHITT,

i=1

while i <= 10:

print i

i+=1

LFDOAZ Y7 K&, Python A7 YU T RTOI—0 2 AR, —TOHITT,

.items = [Ilall’ Ilbll, "C", Ildll]
for i in items:
print i

= 2 ZAEDL—TIIIEEICHZETH D, IBM SPSS Modeler API XV w REMAGEDOESZ EITXD,
WRDOAZ )T NORFDDI—A « r—AZHHR— K TEET, LTFOHNL. Python A7 YU T KT —
AR —TEFERHLT, SRS T — IV RERET S HEERLTVET,

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel().columnIterator():
print column.getColumnName()

A MY —-LDET

A MY —=LQFETHIT, BRESNZETINELZBHANAT D27 M WINQPOAT P2/ b - XRx—2
vIBMENET., ROAZ U T hTR, AZUT M fBRENA TV b ed TPz b - Y
F—=T v —INONERET B0, ERSNEHOM NI, TOWhZEER L/ —EhSs T 7 AT 248
ENH D ERT,

Python TOA MU —ADETIL, EFFICKDERSNIZETIVERIEEANA TP 27 MaS, FETBEEICE
ENBHUAMIRENDZENVNIFTREDET, TDLD, AMY—LOFETHERIC, KOBBRIIT LA
TEXT,

WRDODAZV T ME, BLFD 3 DOAR)—AEFTAY Y REedR—bLTWET,

« execute_all I&. A FU—LAHNDOTRTOETHEEY —IF) - /— REETLET,
 execute_script &, AV U T FETOFREICHFRRL, AR =L - 27U T FEFETLET,
 execute node &, ¥HEELZ/ —RZEFEITLET,

Python A7 U 7 M. LFOL D BEOBEEEYR— R L TWET,

e stream.runAll(results-list) &, A RNU—LHNDITXRTOETAIEY—IFI) - /—REFETLE
—g—o

+ stream.runScript(results-list) (&, A2 U7 MNETOREICEFRRL, AM)—L« ATUY T NEHE
FLET,

» stream.runSelected(node-array, results-list) &, ¥HELZ/ —RDtw bz, fHELZIEICETL
F7,

* node.run(results-list) &, €L/ —FEEFTLET.

PWERDAZ )T RTIE, A7 a OB EO—-RE2EELE exit AYCREHFAL T, A MY —LDET

ERTTEET, B2, LFTOERDTT,

exit 1

Python A7 U7 h T, LFOAZ U T h2MHL T, RCHERMESNET.

modeler.script.exit(1)
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774N« DRATLELXVOURS MY =ICKBDF T2 ADTOER
PERDAZ )T KT, open AX > REMALT, BBEOARNY—LA, BT, FLEEFHIA T b
ERSZEMNTEET, HlIAIE. LFOEBDTT,

var s
set s = open stream "c:/my streams/modeling.str"

Python A7 U7 NZIid, v a hb7 7 AT, UKD RIEEEZFEITTES TaskRunner 7 5
AMBHOET, FlZIEX, LTFOEBDTT,

taskrunner = modeler.script.session().getTaskRunner()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

WRDAZ) T REBHEALTEH TP bEHRET DI, save IX REZFHLET, 21X LLFO
EBD T,

save stream s as "c:/my streams/new_modeling.str"

[[Z @ Python A7 U7 ~@D7 70—F Tl TaskRunner 7 T AZMHLET, #lAIEX. LFOEBDT
—a‘o

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

IBM SPSS Collaboration and Deployment Services Repository N\— A D#EIL. retrieve BL store I
RORZEHEMATLZZEEST, WEROAV Y TR THR—FINTVWET, X LFOEBOTY,

var s
set s = retrieve stream "/my repository folder/my_stream.str"
store stream s as "/my repository folder/my_stream copy.str"

Python 27 U7 N TIE, Ly a BT SNTNWAURD N — ATV MZko T, FAED
eIy VA TEET,

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

B URD PU =7 7RSI, AR URD M) —#E@EHL Ty > a AR EINTH 54
ENHD T,

AbMU—ARE
IBM SPSS Modeler TL< i ENS DA M —L#EIT > RIZIX. Python 2271 7 hOE%a<

CRMMBHVET, ZHUL. SPSS Modeler DEEFDOHERD A7) 7 ~%, IBM SPSS Modeler 17 T T
E5ESIT, Python AV U T MIEHT HDITHRLEET,

# 253 A NU—LBIEDWRDZ 1) T KNGS Python A7 1) T RADYvED

WRDAZY T B Python A7 U 7 |k

create stream DEFAULT_FILENAME taskrunner.createStream(name, autoConnect,
autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream [F5EHgRE/R L

Toad stream path [FZE e/ L

open stream path taskrunner.openStreamFromFile(path, autoManage)
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#2253, A MU —LBIEDRERD I ) T K5 Python X0 1) 7T hADYwESD (FZ)

WRDAZY Tk

Python 27U 7 b

save stream as path

taskrunner.saveStreamToFile(stream, path)

retreive stream path

repository.retreiveStream(path, version, label,
autoManage)

store stream as path

repository.storeStream(stream, path, label)

ETINVDERE

IBM SPSS Modeler TE<HINS —HDOETIVEEDT > RITIE, Python A7 U7 FOFREFIT >R
MHODET, T, SPSS Modeler DEEFFDHEHRD A7 1) 7 K%, IBM SPSS Modeler 17 THHATE %
£ D12, Python A7 U T NMIEBTHDITHLBET,

254, ETIIAREDRHKDZ 7 1) T KNS Python X071 T hADIYwEZ T

WRDAZY T+

Python A7 YU 7k

open model path

taskrunner.openModelFromFile(path, autoManage)

save model as path

taskrunner.saveMode1ToFile(model, path)

retrieve model path

repository.retrieveModel (path, version, label,
autoManage)

store model as path

repository.storeModel (model, path, label)

R a2 A2 bhAhiRE

IBM SPSS Modeler T <HHIND D RF 2 A > MIHEIEDY > RITIE. Python A7 U 7 SO
LAY RNHDET, Z3UL. SPSS Modeler DEEFEDHERD A7 ) 7' K%, IBM SPSS Modeler 17 T
FHTESL DI, Python AV ) T NMIEHTHDIHRLHBET,

#255. RFa X2 NEHBIEDWERDZ 71 T Rans Python X7 U T RADYyET

WAROZAZ YTk

Python A7 YU 7k

open output path

taskrunner.openDocumentFromFile(path, autoManage)

save output as path

taskrunner.saveDocumentToFile(output, path)

retrieve output path

repository.retrieveDocument (path, version, label,
autoManage)

store output as path

repository.storeDocument (output, path, label)

kDALY T ME Python RO U T FDEDDIEN

LA — -« A7 U7 KMid. IBM SPSS Modeler 702 =7 hO#EEZTHR—KLTWET, Python A7 U

T ME B, InEYR—-FLTWERA.

WRDZAZ) T ME, XF7—FH 37227 b (AR —=LABXUOETINOHEAEDE) 2N 5MTR

—hLTWET, AT—FRATP 7 M,

IBM SPSS Modeler 8.0 LAF%, BEIEX#1FE L7z, Python A

JUTME AF—h ATz bEYR—FLTWERA,

Python A7 YU 7 M, #EROAZ Y 7 TEMEHTE 20, IFOBMOMEZRZML THWET,

© U IAERBBER
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TLTHLUT, "B ERRBEEETHIZERHD FT,

AEIZBWT IBM LSLD Web 1 MCEKR L TWAEENH D XTN, HEHOLZOEHKL LT TH
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IBM 13, BEHENMEET 20N 5EHRE. BERISEL TRALEBHED ZLDARWN, HOEYEE
THHET, FHBLIIEATEHIENTELHDELET,

AT7OTITLDTA v ARFEET, () MAICERLZ7O7 I A0EZTOMOTOr I L (RTTT T A
&) EOMTOERASH,. BIY (i) K-S NZIEROMERHAZJGEICT D E2HEL T, &
TO7 5 ANIET A ERELEST S AL, FRRICERKL T a0,
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ATOT T LT 2 LEEOE®RIE, EUREAREO T THATLZENTEEIN, AEOBELHD
£9.

AETHHINTNWDEIA LR - TOT I AFRITTOMD A 2 ZA&RE. IBM e 707 5 A
FHIDOZEKISTE, IBM 707 T ADTHEHASMHE, FRE3TNEREOLREIZE DV T, IBM X DiEfINn
ECIN
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DEEERBE TR ONIHRIE, R RBENH 0 XTI, —HOREN., HEL NIVDOT AT LATITON
AREVEZDN D D KT, T OREMEN, —RICHHATREZR S AT LADHDER U THHRIEIEH D XA, &
512, —EOREMEDY., HEEMETH 2L TRENEDN D D KT, EERORERIL, RAEDAEMENDH D T, BEK
. BEROREDRREICHE L 2T — 5 ZHEND HMENRDH D LT,

IBM DA ORGEIZEET B 1EHIT. OB OMIGE, HEY. B L <132 MO NTHRIF ATREZR Y — A »
SAFLAEHDTY, IBM 1T, EN50EBOT A MIMToTHDEHA, Lo T, kB IcEE T
HFETHE. B, £23FOMOERICONWTIIMIETE LA, IBM LIS OEEOMEREIZEE 9 2 & R
1. FNS OHEBOMGFITBENL £,

IBM DYk G FE-IIEMICET SR DWW TR, PHEARLICEEEZIIMEIESNSIBHERH D, B
WHEZRLTWSHDTT,

AFEIE, HEOEBUHTHWSND T —FPRIEFDHNGENTWET, KOBKNEZEZ S0
2. ENSOFNTE. BA, ¥ TI 2R HEIVEEBREQAFNEENTVLIHENHDET. T
NEDHFEITNTRZEDEDTH D AFFCERPELUT L2 EENELL TNLHELTH, TIUIMBAIC
TEEE o

ZOfEHEZY 7 FAE-TIRKITZE> TWAHAIE, BEPH I —DOREKBRREINZVWHEENH D £7,

5] 2

IBM, IBM O3B EL ibm.com (. HHRDL < DETHERS 172 International Business Machines
Corporation OFAfE T, MOHBALB LN —EZXLEIL, 2NN IBM FLE3EHOMETH 2 H5E
MHOET, BREHTO IBM OFEFHED) 2 MIZDWTIE, http://www.ibm.com/legal/copytrade.shtml % Z & <
ZEW,

- >7 ). Intel. Intel O, Intel Inside. Intel Inside ™ =, Centrino. Intel Centrino I,
Celeron. Xeon. Intel SpeedStep. Itanium. 3TN Pentium (3. Intel Corporation F7/zIIFRtEDKEB I
TOMDENZ BT 2GR 2 IXEERPGEE T,

Linux /3. Linus Torvalds D¥[EPB I NZEDMDENT BV BB EREE T,

Microsoft. Windows. Windows NT F XN Windows K I3, Microsoft Corporation ODK[E P L NZ DD
IZBIT 5P TT,

UNIX & The Open Group DKEHB I UNEDMODENT BT B ERFEGETT,

Java BEOTRTO Java BEOREER L0 T Oracle ©F OB HESH OKXE B LI ZFMoEIZHBT
HEREE 3BT,
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