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taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.

# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/16/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")
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# Now load the plot stream, read the model from file and insert it into the stream

drugplot_stream =
model = taskrunner.openModelFromFile
modelapplier

# Now find the plot node, disconnect
# model applier node between the der
derivenode
plotnode
drugplot_stream.disconnect(plotnode)

taskrunner.openStreamFromFile(installation +

drugplot_stream.createModelApplier(model,

drugplot_stream.findByType("derive",
drugplot_stream.findByType("plot",

("rule.gm", True)

IIDY,ug II)

it and connect the

ive node and the plot node
None)

None)

modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)

plotnode.setPropertyValue("color field",

plotnode.run([])
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modeler.script.session().createProcessorStream("featureselection",

stream.createAt("statisticsimport"”,

|I$C_Drugll)

Rl

2l of: TeME DY AN

k= Hlolee MUt

True)

"Statistics File", 150, 97)

statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/customer_dbase.sav")

typenode = stream.createAt("type", "Type",
typenode.setKeyedPropertyValue("direction”,

featureselectionnode

258, 97)

"response_01", "Target")

"Feature Selection",

featureselectionnode.
featureselectionnode.
featureselectionnode.
featureselectionnode.

stream.createAt("featureselection",
setPropertyValue("top_n", 15)
setPropertyValue("max_missing_values", 80.0)
setPropertyValue("selection_mode", "TopN")
setPropertyValue("important_label",

"Check Me OQut!")

featureselectionnode.

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

setPropertyValue("criteria",

"Likelihood")

# Assumes the stream automatically places model apply nodes in the stream

applynode
tablenode
stream.link(applynode, tablenode)
tablenode.run([])

stream. findByType("applyfeatureselection", None)
stream.createAt("table", "Table", applynode.getXPosition() + 96, applynode.getYPosition())

366, 97)

"streams/drugplot.str", True)
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execute 'Set Globals'
execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'
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#The HelloWorld application is one of the most simple
print 'Hello World' # print the Hello World Tine

sge T2
Pythono] WHE T2 1§ Tt gukxog 7F 4 o] T wHHEJUTE expression 2
assignment®-S A 7+ HHEL if T for 2L 719E oS0l <8l =UHUTh 39 Yot 4
s T U= Pl HHEE Atolol] AT = JFUTE g ol = ol WEEol e AT, 7 HE

o APEE() SR FEoloF Fch

mi- 21 RS = ol delM AlE = dsunh o] A v dellA Al BRes Hesir()=

U U oE 4,

x = "A 100000000000000000000Ng String" + \
"another 10000000000000000000Ng string"

TE7} 285(()), HEE([]) Ee FEE)E Fold, BUEe WSS 4T Ba go] oo 4
ol Sk A Wel A%D = YUk olE 57,

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)

A W B FU 8 7190 ol Agehs Bl AMSEUTE APEARE gele] ol & A,
At BRG] FRA} WE BAHOR ARsiol Ttk BE ARSHE olgL A0S 1
NG o) 918 eleFaLIC 3 WA B4 Fol, A8 ele] St 8 FEAL 0 - 9 9le] Sk

2 2A] xHe I 4 e

Jythonoll= W%, B e Felao] B0 AT fhs B B clefolrh gk o5 The

Zof] Shaiuict.

o HEF =312} assert, break, class, continue, def, del, elif, else, except, exec, finally, for,
from, global, if, import, pass, print, raise, return, try while

24 =802k as, import ¥ in

&JAkz}: and, in, is, Tambda, not 2 or

B3 719 ARSS dukzo g SyntaxErrorZ} HUTH

Al 2 A 2398 o] 21



;
%

4

FC E52 o HEFo| qPdu= oA AREShs HEE IEUUTE ZE 52 if, elif, else, for,
while, try, except, def, classi % Sh} Fol 2 4 UFUL) o] HHAELS F=2 EAN:)E ARSI
I E5S EUFULE dE E91,

if x ==1
y =2
z =3
elif:
y =4
z =25

-

Solwrle(avacld] AFBSNE FRE th) T BB TR 9l AR, B RE Be FU
A ool PUh ole Selvlel wWap} si= BEo| FRE FASY] MEYUT. B 477 4
Aol BUlE S Be Sopr] 98 HRrke UL A3 AL A mun} AP P
A= oF FUch g 7 v BE2o) 1o QoA AlZleljof b, 2R 5o SyntaxError7}
A,

2IHPER QI G ~THEV} 4 Glo] HHEHo 7 A5k 4= 9JS St 2 {83ttt el
A HAGE= Qe sys.argy 229 ztog AaElr) Agy= gle ‘F— Ten(sys.argv) == % A

import sys

print "testl"

print sys.argv[0]
print sys.argv[1]
print len(sys.argv)

o] oollA import WEL HA| sys FAE 7R o] o] e EAch= WAE(: argv)E A
88 & dFYoh

o] oo 2THEE Ty S AMEsl] 3FF 4 JFUTh
/u/mjloos/testl mike don

A The e SR

/u/mjloos/testl mike don
testl

mike

don

3
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of
print Z191=E 7 Fol wl2 gelet Q4 Qlghic) WelEo] 4
o] =R osUT) olE Sol,

print "This demonstrates the use of a",
print " comma at the end of a print statement."

=2
1,
=2
f

rlr
o
:10

Z w29

zele gest 2ot

This demonstrates the use of a comma at the end of a print statement.

for WHES It BE29 uiEsl= o) AMSITH 9 Sof,

mylistl = ["one", "two", "three"]
for 1v in mylistl:

print Tv

continue

o] dlolt= Al 7] BAGe] mylistl BBol ARPUL. BF| 849} 2t o] shie] 94F 2
HU Zee thest wgut

H
e
Z

o] oo, for Tk 7 kol Thet TE BEL PHSFEL WA Tvis mylistl B0 g 7 9]
e A ASTIT WA o) dol] BE FET N@x}ea_ QU

S ZOEUUS =e Fristar 571 Aafell WA true = falseE HHIUTE oS S0,

mylistl = ["one", "two", "three"]
for 1v in mylistl:

if Tv == "two"

print "The value of Tv is ", lv
else

print "The value of 1v is not two, but ", 1lv
continue

o] alollAl, Wk Tve] Zo] B7MEIIE Tvel Zhol twodl 74 Tvel Ftol twor} ohd 9ol elrlsls
Ahz T FAdo] grifUch o Avks the o] HUth

The value of 1v is not two, but one
The value of 1v is two
The value of 1v is not two, but three

Fi

NS

math BEOIA F812 wise] AT YU ofF mase] ARst ke HolA] AL ¥
2 AR e B RE G Floa lRguch



E7. 7] s

| Bt

B

math.ceil(x)

xo] 43S Float®A] gElsh=d), x®oh =g} 28 71 e
A4t

math.copysign(x, y)

yo] H55 Zh= xE gtk copysign(l, -0.0)& -12 &
Bk

math.fabs(x)

xo| Aoigke Sk

math.factorial(x)

x AgS @ UY. x7F S5l AY Zgrt obd AR
ValueError7} ¥Ayshc)

math.floor(x)

x¢] HE-E Float® 2Rleket], olple xHoh 2 2o 7k
2 Bl

math. frexp(x)

xo] 7Frm) 2 A5 e)E (m, e) o= 2Rt m2 Float
olal ex= AFo|EE, BISIA x == m * 2xxeYUTh x7} 0%l
739 (0.0, 0)< ESla, I%A ¥Oo™ 0.5 <= abs(m) < 1

2 el

math.fsum(iterable)

iterabledl Si= #kel AR H5 o0y S HETU

math.isinf(x)

Float x7} ¥ = &2 FRHIIA AR

math.isnan(x)

Float x7} NaN(&AP} oba) A AR

math.ldexp(x, i)

x * (2#%1)2 FEIgUT) o)e BEzoF frexp o] o

QI

math.modf (x)

x| &4 9 A4 HES g|gun 7 2y 25Ut xo] HeE
Z¥31 FloatdUych.

math.trunc(x)

Integral® 2 Real 7t xS eIk

math.exp(x)

exxxE FHFHCE

math.log(x[, base])

baseo] Foixl gholl thzt xo] thes 2R baser} A=
7 ko xo A=t eRiguUTh

math.loglp(x)

1+x (base e)o] AA=TIE ZHFTE

math.10g10(x)

x2] o] 109! therg 2Ryt

math.pow(x, y)

yE ASAES x5 =gk pow(1.0, x) 2 pow(x, 0.0)
< x7}F 0°vt NaN¥ W= & 18 2[Edch

math.sqrt(x)

xo] Al FHduTh

o @ Slol, @ A fog

8 MY e

AHEULE ol WAET} the Foll FAFEUT

| Ei=

A8

math.acos (x)

xo] o2 TARIS TRk Bl eeghiy.

math.asin(x)

xo] ol Alle Zrik Ul ZRighic)

math.atan(x)

x9| ol SAHIES et gelZ btk

math.atan2(y, x)

atan(y / x)& it 991=2 eI

math.cos(x)

xo] QLS efclok Bels ez

math.hypot(x, y)

AR E2 sqrt (xxx + yxy) & ZRIFUTE o2 3T
B (x, y) F7pe] HE oyt

math.sin(x)

xe] Alle ejioh el elelghin.
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HE 8. A HRE (7))

| B A8

math.tan(x) x8] RHIEES griQh vel= et
math.degrees(x) 7} xE gckeA =2 I
math.radians (x) 7zt x5 EollA grijkew wekehrt
math.acosh(x) xo] P= FARIS EFhTh
math.asinh(x) x| ST ARES ElRIETE
math.atanh(x) x9] A BHES gRiduch
math.cosh(x) x| A3 FARIS RIGRC
math.sinh(x) xo] A=t FARIES EHghTh
math.tanh(x) x8] A= BHES ezt

7] S8 AR QU math.pie) ghe 53 3

=

LIk math.ee] ghe 48 44 o)

-
e
-
&

ASCIIZ} Of=l 2X} Al

ASCIZ} obd ZAHE ARE3E7] $faliA] Python U =R9] £AE9] BAIA 15 9 taide] Hagh
t}. IBM SPSS ModelerollX] Python ~IHE= UTF-80% QlFYEE Aog 7%=, oA ASCII
7} opd A= RYsh= ®F UFE FYdYTh the ~FHEE Python 713kd#7} SPSS Modelerol]
ol UTF-80= AAEN7] vlwol Hutdgurt.

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T A F./— F", 95, 64)

TP, Ay kEe gHlEA] oo go)BS s

o
Mol

F§8.AF 4 AF R
TE 3. ASCIP} o #AFE EFl= kE #lojEo] SHER] o FAE
A ZElE 27} Pythonell 2fsll ASCII £AHEE WHE Y] w2l glolee] &1l syt

Python #AKE ZE1E Aol u 4 HFEAE F718l fUEE 242 glEEo] AE=S 583tk

stream = modeler.script.stream()
filenode = stream.createAt("variablefile"”, u"T A F./— F", 95, B4)

o
N
rlo
Ho
i
f

n
o
Q¢L
ifie4
filo
>

dst #lolge] gulEA yepduth

i

A2 A

re
2
[\o]
wn

He



o)
Ioll

F: A bt
T3 4. ASCIP} ofd #RFE E§Fh= B gloJEo] SHEEA] FAE

Python 2 FUFE AL-L o] £A412] WIS Hofke FAII. o] FAlE AAsh tiEe Be A4 2
22}9l Afo] ALg ZFsEITh

SHME Xjgk =271

BAE A3 TRYe A RN o BA] ) 24 g Je R S, enae

A T2 e 2 Y QRS ENom FTo| AAES BT Pythond LBEAE X|gk i)

Utk PythonolA Hosl= QBAEE The 71%-S zksUT

o B ZF oBAEE pgs|ol 31 o]Ae AR sPsslok i) o]2 3k is 2 is not Ao] gt
Ut

. A 7 OBAES AEE Aakat 2= 9lojof FhT) W Tl OliEls wid 7he. &xjo] o] BAL o
EAFE

o 2 7} QHAEE AEIE 22 4 Qlojol SR o] 93 ATy} =R ch

Pythonoll= QEAE 2| 2719 xde 93 thes 7I%se] Zso] syt

o = 7 2uAE A, FYae CHAE A4S 93 HIZTEYRUH. QEAEE Avd AEs 2t
= oy =yt

o oS 2 A5 Pythond @Y 9 ths S AUt BE Python QI2K12 HWlAEE TRdAo]
H MBS A & ST

« dlojg] 715 T’ UEs). Pythond 438 w4
255 FoAR Sz 2Rl A= 5 lsuUn FRllae HlolHE gsk] ffsl mlass T

k.

f

A &

Python Eei2=5 ARESPH Wel vlAEE & o AT 4 IFUT Javaolrehs 2], PythonollAs &
2 RS ZHE F] A 38 FUE AYY 5 dsUTh TI2IEE Python®] BES Javaollxio
7R} visssiAl A 5= Slsyh

Pythonolle et class®S ARESI] AUt class®e T o8zt

class name (superclasses): statement

T
=
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class name (superclasses):
assignment

function

SFHE oS |, 07 oV assignmenri-= AFIH= w40 JFUTE ol S BE JXEA
7} ke Sl S48 AEFUSE 070 oo g AYE AleE 5= Ut ol 5 Ao vl
AEE 2T S 552 AR

Az

th

ﬂF

Sz o5 FLT B, F BE, I B U= Helld fsior unh g S0
==

Selse FUaEES T S BASL S QiEsE ASHE o AR Fesel Qo
22 Apgal] S8 SesE Bl 2N BRI, dE B0, The Feas TN

class MyClass:
pass

Slol Fe-s $EsP) Sl WHEo) WasHRE Z2AsoR Bagk 2t QU] R passEL
AT,

U HEES MyClass ZE29] JIE1AE 23T

x = MyClass()

SelA QIAEIAO SN STt

QR Rl WAL ol Sof Skl xol £ F71Slel, Slg Qplzel] Al gh AEHIALL.

x.attrl =1
x.attr2 = 2

x.attrN

n
>

S~ SN 9 fies Ho

Sl HRIESE BE W Fol ST Fe2 vl Belske BE G5} ey v
AT AFHCRE selfefal ke FH2d] IXRIAE A vA Qe FAIFUS olE S0 EF S92~
&4 8 ASE golsh) gl e TEE YEE S Yot

class MyClass
attrl = 10 #class attributes
attr2 = "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

Al 2 A 2388 o] 27



def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3  #make an alias for method3

S <lofla], FE2 olE) A S Ao i BE IS sloF Sthall: MyClass.attrl).
Q1B Aol TR BE = self WE jPAEo oF SRtk self.text). S olx= S
2~ O]Eq(q]: MyClass.attrl) == =9 AX-EI (Y x.attrl, A7|4 x= FH2=9 A~ Z2
22 S0 gt B JEE Pslor itk Sl 2FellA, A2Es W) tigt BE e F9Y
Q7EIAE AR ofof ShUTHY: x.text).

HOJElE Private W55 2381 54 = AFUTh IS W= S ARl siARtE Mg 4= 9l
FUDE  xxx = xxx_yyy(F 7He] A8 ®Eo] Q) ARle] o]FS Aldsl= 74, Python THE E4
7le AsoR FE oS AdH olF0) TR A \MeE ARULE dE B9,

class MyClass:
__attr = 10  #private class attribute

def methodl(self):
pass

def method2(self, pl, p2):
pass

def _ privateMethod(self, text):
self. text = text #private attribute

JavaollX¢l= 22, PythonollX= 2~ W] gk RE 22T} sel f2 oo U &, thisY
WAl AR QigrTh

AR
A2 HE <SS 7S QEAE XgF 2 Rol|A] 71 EUUTE Pythond B W o5 &S =
o A AUnh o AERe o shue] STt S F S-S vy O RS = o]
2ot s F =S iUt

FEE T SaE MEERVIs] FEgUT o] oAkl Python Szt SRR ¢ lsUTh
Python®] Jython 7&olie & dhte] Java S22t 24 = PR O = d<5rd ¢ lsut) oSl
7 AsE 2es syt
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oigese] BE S0l HAsE qole] AuZelze] glom Fels A E Sgolt HAss} 4]
A7) o @ Qlele] FolIEr} ART 4 ST AR Fese] BE Ahe oltlili 48T % glo
B oiges] QLiElag AT S U ofzle] Thyel dlduth of ik el APhe B

gole 7hsskAl ek

of|A)

class Classl: pass #no inheritance

class Class2: pass

class Class3(Classl): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance

Al 2 A 2388 o] 29
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M 3 & IBM SPSS ModelerOjlA2] 23EE!

ATgEe| ¥

IBM SPSS Modelerolli= TR A 71A] §3e] ~3HE} Q&L

o 2EY ATYHES T 2EF0] APS Aojsh= H ARSI 2EF ujol] AU
THEE ATYES 9] AFS Aok o AR

© EYY = A ATHES We JoIdt 2EY Aol Mg 2gske U] A8 & JgUrk

33913 SPSS Modeler 7150 44|28 5= )= IBM SPSS Modeler®] 2~IHENA] Th HlAEES A}
83 5= FULE o8 mlate g IE ZE] sl Bl slolX] Al 4 F I2THE APLPIA AR
@ 5= gluick

AR, FOE ASE Y Clojoja

tpe] A9 2EgofRl goks Ty Roshs 2EYOE s Ul AMSRE ZEYOlE 3
o SUT AL Pt YUHOR I DAsL A & g ko FAUS olghch et
2SR BE Ao] BE aolA AUASAE o, ofs 2IRE AP} AT 2TYE U
& 2w glofol e Sl

~E

2EZE 7[E IBM SPSS Modeler A1 QYT 2~Efe A%, 25, 93] 9 A0S &+ Jsyrh. ~
EL I3t B, 22 gL 2THE ¥ v VI BRE VK S dsUh

Surs Asg

THEE 2EFS FHET Yollx] AR8she 2ERS] FEYUUTE Yhk 2ERXEH, I Hase =55 X

U
Solve 2EYS Suve] f36 el 3} Y 2 29 924 ke ZuUd. ol 9A4 w
i SunE 2EY Qo RS oAl B ARSI Sulvsr) e ) Asos aE

=

Ctolo] et
Chojoj1glolt Bk W F7h 3 A, = Alole] @ 454 o] Wik 2EY B ST 2EY wE
o AUse P4E TP



T ol 2ERe] BE A3 b g A 227 2agee] sH Rk f34
modeler.script.stream().runAl1(None)

e ou ~EFe] nE 23 7P s 28shch

stream = modeler.script.stream()
stream.runAl1(None)

o] oJolH], 2EYL streamolehs Weel AFEILE STHEE YA 1EY wE 2EY Yo wE
£ SR Bl AM8Sl) mEel AEYS Wl S 2 AT 2EUS ARt WRE A4
sk 2pas ~ahest gy

ATRIE! ZEAE

modeler.script BE-e 2IHEV} s P ES AFPUTE. ZES HER] Aol AFO= SPSS

Modeler 22THER 7p43UTE 252 A8 S0 gt M|~F 2k ~THEE Algshs 419 e

Aol

- session() 57t 2TYES] tiF AR ZRFUDE ARS Yolo] ~2ERS Atk B AHg 39 2
AY Z SPSS Modeler MNE(EZ Z2A| 2~ H= V|ELIFHE SPSS Modeler Server) 22> BRE 9]
o

+ stream() FE 2EY R FEE 2SYE A AST F AdFUTE o P A T 2EY
ZIRE B S 2TRES 2fhs 2EYS 2Euc

« diagram() = S ~T9ES} I AMEE £ UUTh o] T4 ST Ulo] tholol e
R e 2THE 539 BS- o] W strean() Tt FUD 2 el

« supernode() = ST ~TYES} I AMEF 5 UL o] P4 A 9 ATYEES &

S =i

A

I

a708] et i 2o v 3Foll 2ok} FHTh
£ 9. modeler.script 2] Q°F
233E §3 session() stream() diagram() supernode ()
593 A 2|l 2aYErt 329 o) & |stream() o] Aol Y | HeHA] ok
A B B FEA
Z] ¥& -stream |4
B3l Ag=le ~Ef) &
£ Nones HFTH
2Ed AR 2 2E 79 stream() 2] 759} 5 [ HgEA] e
THEE A - 2Ed g FHeE ~EY 29 FHxE gE

modeler.script EELS 3l ATHEES £38 F=9} 3 5= WS AHoght) exit(exit-code)

Yre 2IYES HY TR ATHE P4 FE A0S JHgI,

O

r
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zEQe] die) elshe WAS F Shbk runAll (List) QUEk o] MasE RE 43 ks og A9F
ek =g Agsle] 4R BE Bdol} 2] AT %5 Sl

e Age] A mE, e 9 g 29 2o F8e ek R0] BEAYUD. o] 28 W]
Il 2TREV} BRoE sEs WS AR 5 UgUt
stream = modeler.script.stream()

results = []

stream.runAll(results)

Aefo] ghmd wf, Hd3Yol] ofsf WAHE= e QEAES results HFol4 Al 5 U

2 BN 25l 3 Ay

s.findA11 (type, label) Collection e 78 9 EolEs Zhs BE k-t
555 2RItk f3old HolEo] None
A 5 dom, o] Ae e BFE ARSS)
Ytk

s.findA11(filter, recursive) Collection AAE EollA] $185 = BE ko] 39

Ae HRPIT. AFE S} Truedd

735 A 2B Y9 BE gusEs
AU
s.findByID(id) L= AF=E IDE ZHe =& T Id =T}
She 74 Noneg ledghch ZAle &)
2ERoZ AlRgUct
s.findByType(type, label) Las) AFEE 79, ol == & o 2= =

o =) wixEhe S el shrt
Aei=]o] glEgU). vixsle =20t §le
73% ZEIZke Nonejuth
s.findDownstream(fromNodes) Collection ATE s k= oA sk Alg==
rro] kt U el HEES gk
ZEls)s =uole ) AlgE == X3
Huck
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F10. 7]& =& 2U]E 93l vAs (A

A= el 4 L

s.findUpstream(fromNodes) Collection AT w= 3ol Haskhar AlgEh=
5O xE UAEF AEES ZRIF )
HE= kool A AlvE =27 I3
ek

A& 50, 2EFo] 2~aygEy} dA|xslr] 9l et 9 e =uE ZIRE Y EH kv T &

AHEES ARgsle] 2ks ¢ QFUTh

stream = modeler.script.stream()

node = stream.findByType("filter", None)

e A9, oo IDE-E TS} 3ie] 4 Gol BAEEy} Qe A9, Y DR Al o

= e 1= A = =

stream = modeler.script.stream()

node = stream.findByID("id32FJT71G2") # the filter node ID

=

SN MY

e 254, 2 5 FEE D ALY Sl kil Afel 95U 9 S48 2o, S0

& Quom onAEs] ABol} AR Fgshe o AU SHAE 4 ohis 2 H4e] 8T

gl viAs) The el aekElo) gkrch

11, QHAE B4 dyx gl YL 95l mlas

e < 52 B

p.getPropertyValue(propertyName) | Object o5 APgH B9 ¢k T T9 B4 ¢l
= 739 NoneS &IV

p.setPropertyValue(propertyName, | Z-85#] - ol= AAH EAS] ZFS AAFhT)

value)

p.setPropertyValues(properties) 284 B olf AWH 549 #s AT =4
we] 7t gus BA ol ¥ slid 5430
A=) olok k= ghs YUehle 712 7484
1=

p.getKeyedPropertyValue( Object o2 AH EAY] 7 dvE 7] =

propertyName, keyName) 2 EAJol} 717} QlE 749 NoneS Elgt
ek

p.setKeyedPropertyValue( Ag=R] o olF AHE B 2 719 ahs AR

propertyName, keyName, value)

ol o), 2EYe] Aol e FATIY o] Zhe Adsle AS T ~IYES ALY 4 sy
o

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUG1n")
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Ei=, TH LEollA uE TEEEY] fF o Utk o] Aells s 2= ol 71= AdgHEunk o

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

a A
E Ay U ASE

U5 G 71E ZEY] A RES I 9T 5 JFUTE 71E 2EY] w2 Sk ukrom
ke A%he ZRI:

1LowE A,

F 2. BE FHE miE

i 2El {3 Ay
r= AHE FEe] =5 sl olF AgH

2Ege F7RRhc}.

s.createAt (nodeType, name, x, y) |=E AE e =8 Zskal olg AEE

SAeNA A ~Efe)] FRIUE x <

0 ==y < 091 A%, SR A=A &

s.create(nodeType, name)

FUtt.
s.createModelApplier(modelOutput, | = Aes w1y &8 QHAEZNE L]
name) = g Hga ==5 AU

& 50f, ZEHIM A 7& k=8 AHsl] S8l vt 2THEES AR ¢ dEUth

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")

P R
A =7k 29 veld] A, AT 5 Q] Mol =] ARl Adslojof it AEYE ke
U2 5 B3 SIS AR B vAEE ABIIL. ofF WAy} T sl aokwol Yuc.

¥ 13 xE g3 49 g7 sHE 95 Hi

Hlaxs 25 3 Ay

s.link(source, target) ZgTR] oke- A9l B T Ao)o] A HaE ZAISH
e,

s.link(source, targets) R ok 22 U AlFEE BE 7 B k&
Atolell A BaE 2Hdgrh

wn
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¥ 13 xE 3 9 g3 RIE 93 vt (A

| Bt

}énﬂ

[}

s.linkBetween(inserted, source,
target)

T /je] gE w= ﬂé@é(ﬁ 9 =3

7y

s.TinkPath(path)

HEEA e

LT QIAEIX Alolo)] A ARE ZAhc)
A5 =27t 7 vl w1, F WAt
Al Rl Pdsl= 2

s.unlink(source, target)

ErEreD

sk B = Aole] BE A4 P38
AAFIC

s.unlink(source, targets)

e Be

s wES) B BSo] 2t QuAE Ao
o) mE 24 P28 AP,

s.unlinkPath(path)

A8 ke

EE QIR Alolo] EAflehs BE HRE
AT

s.disconnect (node) HLER] ok Agsls e} Age 2Efd 9= tE
RE Lt Aple] e HIE AL
s.isValidLink(source, target) boolean AAE s} BE LT Alold] Pa= =

R Aol HES A9 True EF
o} o] MatE F euAE nErl AYH
2EZo| &3R=A], A TV HIE F
Foha BE wo7) 9ag e 4 YA
JRlw 09 Y35 S 2L S
<

FUSHA SR=A AR

2 |

o]

Aol o= 23E o thee] A AUS U3

1 7P QY k=, ZF k= 5 EelE

SEE AZ AF3 o)

k) U wseld 9l of

2
3

4. A3} EHoNA "Drug" EE 3
5. HolE ==& gt

stream = modeler.script.stream()

=0
= =

EERRIBCH

Z

E

== AR

e,

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)

filternode = stream.createAt("filter", "Filter", 192, 64)
tablenode = stream.createAt("table", "Table", 288, 64)

stream.link(filenode, filternode)

stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
filternode.setKeyedPropertyValue("include", "Drug", False)
results = []

tablenode.run(results)

= JML7], 7| AR
ST 2 g QAR oplel, FF 2B x5 vty AAsiol Fut k= EH 0], vH] 2
Aell A 7Fsd viAETE T 3ol QokEo] Sl
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14 =E TJHe) W) 9 AAE 9JE e

= 2l #3 A7
s.replace(originalNode, [Z8EXA % AHE ~EY ]HXPQ%L—_E%HF;‘/]E}-
replacementNode, discardOriginal) G ==} oA =0 & o A=
ERe| Afofof ok
s.insert(source, nodes, newIDs) List AgERs 550 =ro] ARNLS AUt

AgEe 559 Be =7 AE ~EH
Oﬂ vk 7PdST) newlDs ZE1
= 7+ == o5 Al ID7} AJAd=]ofof &
E—Xl Ex 71E IDE BAF B AREERA] o
FE APUS 2Ed9 BE x271 11
1 IDE ZH=tial 7PEtE R, s ~EF
o] AE 2~EHY YT A5 o] 1
+ True= AAE]ofof @‘41’4 o] ”ﬂ/\‘:}—
AR AE =To] 5E-S s,
o] AP BEA] eRFUTHS, A Z]"4
o] HEA] oY EEo Qe =9 &A%

s %)

s.delete(node) H8ER] ok AR 2EZod AHE wo= g
o} AgE 2Eo] Y =T Afsiok
ek

s.deleteAll(nodes) Ag=A] b 2AE ~EoA] BE AT T2 2|

Tt FEde] 2E x o) AEE 2B
Holl STt
s.clear() HEER) kS A 2B BE =55 2T

AEEIM = EICh

U QAR 54 0] QAEY EE TesEYll LES Aelt AT 2EUS ofF ke
sk dl ST F ol B tAEE AR ofF vlassl The ol ackslo] T

F 15 Y2EY H g2AEY L tE AR rlis

Hla 25l {3 A

s.iterator() Iterator AR ~Ed)| F3H & O BAE T

% WEAE eleigc 2=20] next()
Yool 5% Aolo] FAEE A9, WA
o Ao AojE] iU

s.predecessorAt (node, index) L= A2 xro] AAE A Mz} E=
257} ZAE Blold 79 Nones 2|Ed
ek

s.predecessorCount (node) int AEERE =eo] 2 A9zt & 2|y
=3

s.predecessors (node) List Ag=e 2o A MPRE e

s.successorAt (node, index) re AFEs ko] A 2 &) =
A7t ZAAE Blold 7% Nones €ISt
Uck.

s.successorCount (node) int AgEs e AT S 5 RIgY
=3
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it

rr

= MHA
clear W] tjeksl ALS-S AUt 4.
=8 =8 2o

=T o=

B R

Eat) %‘%]%
« clear outputs= A=A} LHENA EE
+ clear generated palette= B4 ZHE A 2=

e clear stream& ~E=o] Y&E AASHICH

Python Z~FHE-S H|5=%H
= g AU o S0,
2B IRE A9EH

session = modeler.script.session()
session.getStreamManager.removeAll ()

=4 dRE A9EE,

session = modeler.script.session()
session.getDocumentOutputManager() .removeAll()

2 geRE A2,

session = modeler.script.session()
session.getModelOutputManager().removeAll ()

= MEZS AYsk=d], removeAll()

1 k=
j=hn

Sk

o 25t M Y|
=S dole] 7P4er] B uR] s, BE A ke

o BE s ¥ ARE 3] 9B AT

)= e

=0l ID, ofF ¥ HolEs dE ul AR F Sl

gloleS &7

16, =E9] ID, o] ] 93t Ha=

=]
=

re o] WEE TP
ek,

aopslo] gigrick

“
]_'_1_'__
S

ol

= e

Ay

n.getlLabel () string

AHE w=o] A YolgS
& EAo] Hlo] IR ek EAKEolaL
use_custom name E4Jo] =] oko- 7
$ol9k custom name 5439 Uyt 1
Hx] eford #lole2 getName ()2l #hdy

o,

oE
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F16. =E9] ID, o]F gl goJEE 7] 3t mliE (Al

EE== el 3

n.setLabel(label) HEEA) A

AP o] A oS AT Al
glojEoe] mlo] A k2 EAER] B
custom_name 543 AAEH False’}
use_custom_name S4dol Ao} x4H
glolgo] PAHES 25Ut 124 eod
Q] EA1Ee] custom name 543 A=Al
True”Z} use_custom_nameol] APdEUT}

n.getName() string

A o] olgL eleizhc.

n.getID() string

AHE w9 IDE YR Al k=7
239 wjulct A ID7}F ZAHdEUc) IDE 2~
Ege] dng A o) wse} 3 A%
Ho] ~Ego] g u] = D7} fA1EY
ok ey AR w=v) 2E7el 4tgE
A% ARE su== A exAE]] Ho

2 7EEE3 A D7} Sk

-

™

weo| 7 VIEH RS At o) A8 5 e

>

F17. REof A5 HHE A7

©
s
=
g

HAaE7} v 3l gofEo] lEUt

/== 2 3 A

n.getTypeName () string o] o] ~=E o]2L FHguYr} o]
AL o] O] A QIS AAsE
AR e A FYE olgYyIth

n.isInitial() Boolean 2EZo] AIZ; Ao WAER= xTol x7]
=Rl A9 Trues 2RI

n.isInline() Boolean 2Ef FHl) Wlehe =521 Rl ==
Q1 S Trues YL

n.isTerminal() Boolean ZEFo] FojA] Hlsl= =R Hrld =
=21 7% TrueZ Egch

n.getXPosition() int ZEHoA e x X oIS Eg
e,

n.getYPosition() int Z2EoM ko] y 9] oINS BEdt
18]~

n.setXYPosition(x, y) ZgE)x] oks 2EFoA xro] X AAIhT)

n.setPositionBetween(source, target) | Z-8=#] & Lot AlFEE B Ao YAEES A
EdoA =x9] 95 At

n.isCacheEnabled() Boolean W7 ARE 7F53PE True, 13A] gkow
FalseE EguUch

n.setCacheEnabled(val) A eER] eks o] QBAE 3l NS AR T= AR
& st A7 7S Akl 7ol
ARE- E7VsEHAl =H 7IA7T B9

n.isCacheFull() Boolean FIA7F 7HS ZFH True, 18X ko
FalseE EgUch
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F 17 xEof #3 HHE 7] 93l At (A

Hla= Zlel £ e

n.flushCache() HEEA] o] x=9] FAE HlgUct JWA7E ARE 7
oA SAY 7HE AR & e Bt
FUTh
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ATRIE! API 270

232E] APIE= 3323 SPSS Modeler 7150l tigh A2~ A&t 23711 AWt RE WA=
o] API9] gHolH F7} 7EHL7] §lo] 2THE oA yiAlFez BAh~E 4 JdFUTh T2 APL 22
22 AxsHe A9 TR HEEog APIE WAFoE sEejol ghich

import modeler.api
o] 714 Q7] WHEES e 2~I5E API odl4 a3t}

23HE APIE 53 AR & Qe FEl, vias @ o) digk 2A| ke IBM SPSS Modeler
Python Scripting API Reference GuideolX| 2+ <+ 9}%141:]'.

ol: Al2A} M| ZEIE Al2SH LT %‘.“L'.'
B3 slolAle] et 3V])| Aol le=e] {3 o522 7|Eo® ARgSie] 2EqolX =g ZMsh= o7}

FIEIFUT G AStolA= o] dukEQl 7&&‘01 2 a3k )7 NodeFilter S22 2 findA11() wl
LES MBS ?649 T U ol TR AMele v 7 9ArE TEFEUSH

1. NodeFilterE &slal accept() WAEL] AREAF Ao MZS Fdsh= A S~ 2MA.

2. o] A Si29] JIzEAE ~EF findAll() "IAE §F. o7 accept() WIATolA HoH 7Es

HUehe BE k5 gddyTh
T ol kB AWIE S TFed 2B wEE she e BelgU. koo dud se
AHgsle] o5 sl NS HISAL AN QR S Qi
import modeler.api

class CacheFilter(modeler.api.NodeFilter):

"""A node filter for nodes with caching enabled"""
def accept(this, node):

return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findA11(CacheFilter(), False)

HEICOIE]: CIO[E{ol 2tst H=

7} EReIA AE AAE) B, 2} Coi] AMg 7Psd Dol Beel B Frst AHg 7FsH
o} oE S, Modeler UIIA o3& AHg3le] HY i 53 oS A9 4 gLk, o] ARE o
o8] melolela Fck
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STYEE ER wER Solert Whe BES B Hlols) Bl AT gtk U e 7
lole} el FUTRI) olF So) A wEE HTES G| Thl PSR ol

g
ST T E g YN wEl ) UES SR 5 QU W = ge e

02 oolr ~3HEE EF IBM SPSS Modeler druglearn.str 2E&S Fslar, 7} Heof dis) 4=
2 T shpt 2K mds AU o WHoR ol UL
1. 78 SolA =9 tloly] =d A,

. &Y vl mde| 7} Y=g 23,

Z31: druglean.str 2EHo|A ~THES A8slr] ol ~3HE ojE PythonlZE AAHsh= Z2S 7]
SRl (Z~EFo] IBM SPSS Modeler?] o]z WZlolA 2PF=Elong ~EF ~I9E o7} A=

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue("use_model name", True)

lastRemoved = None
fields = typenode.getOutputDataModel ()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if TastRemoved != None:
filternode.setKeyedPropertyValue("include", TastRemoved, True)

# Remove the field
lastRemoved = field.getColumnName ()
filternode.setKeyedPropertyValue("include", TastRemoved, False)

# Set the name of the new model then run the build

c50node.setPropertyValue("model name", "Exclude " + TastRemoved)
c50node.run([])

DataModel QEAE: Hlolg] 2=l o] Fe 5l dof A3} Aol dx|zslr] ffet B mlas=s Alesy

o} o WAEs} The Eol oksle] iUtk
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3£ 18 FE = ol el HH A AE 93l DataModel SBAE W4T

= 2El §3 A

d.getColumnCount () int glog] mdlo] d 4E 2Hduych

d.columnIterator() Iterator T A AR 7 ES Edske vhE
25 g BEEAE 9o QJIXEAE
L=

d.namelterator() Iterator T A AR 7 Ee o5 ElElst
€ ¥EAE EEdyTh

d.contains (name) Boolean Ag= o852 €] ©] DataModeldl] FA)
= 73 True, T18A] &Fo™ Falses
H3hck

d.getColumn(name) Column AAE o5l E FHFoh

d.getColumnGroup (name) ColumnGroup ol AHH ¥ IF F= 1™ 9 1F9|
FEABA = 74 Noneds BlEFhUTh

d.getColumnGroupCount () int o] glolg] mdlof Q= 4 IF0] & ©
H3hck

d.columnGroupIterator() Iterator 2+ g 88 YR gEsis iERE g
H3hck

d.toArray() Column([] dlole] BeEks do| vigRA] SRt 4
L 7R AR AR YT

7t B onAE)e dofl B3 Anol zs] 93 B WAsE TET ol HlolEe ofSe|
Hele nejgLIC

FE19. Foll B R M E g E QHAE m4C

2= 28l £ Adrg

c.getColumnName() string |9 ol5E FEFTh

c.getColumnLabel () string do] glolE = 3 AFE Folko] ¢l
€ A W 2AEs Edynh

c.getMeasureType() MeasureType o] E5 F8S gEdYTh

c.getStorageType() StorageType Hofl digt A F3< duTh

c.isMeasureDiscrete() Boolean o] o2kl - TrueZ RIFULE Al
E T= SR Fol oo gy
=3

c.isModelOutputColumn() Boolean o] mdl & d A Trues ZEHFY
=3

c.isStorageDatetime() Boolean o] A gto] ARRE, G T ARSI
2Rl A9 TrueE EIgUCh

c.isStorageNumeric() Boolean do] A FFlo] Ay wme= A9l 74
Trues EFHTH

c.isValidvalue(value) Boolean A7gE grol o] A It FE] A

Trues 2lEslay, fEg & o] Lo o
validg [yt
c.getModelingRoTle() ModelingRole Qo gt melE 9 Uik
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FE19. Fol #eF Y GA=E 217

mg
;
:
2
B
X
Ry

= 28 73 Ay

c.getSetValues() Object]] Goll gk Fagk 7] WiE == ol &
HAA| AL Dol MEZF ofd 79~ None
< Yok

c.getValuelabel (value) string ol = Froll gk lolE == 33 o
e golEo] §lE A ¥l Exds 2|
ot

c.getFalseFlag() Object Aol T3t "false" TA] FF T= o] &

HAAA| AU do] Fe1v} ohd A
None< Eghch
.getTrueFlag() Object ol tigk "true" FAP] F = wol &
HAA| FAY do] Fevt obd A
None< E]Highch
c.getLowerBound() Object ol Q= ol igtk ek gk == glo] &
HAA] AU o] A&Ho] ofd A
NoneS 2J&ighich
.getUpperBound () Object ol = Foll oISk g3t gk == ol &
HAA| FAL Fo] ALHPo] ohd A
Nones SR

(g}

@]

il
Y

ol 3} AGHol| AA|zsh=s o] Ma=+= DataModel LEAE oM HolE= F53 Has
A S FashiA L. e S0l e T 719 BREe FedUth

dataModel.getColumn("someName") .getModelingRole()
dataModel.getModelingRole("someName")

ko
1w,
b
rlr
i

£EY yBe YHom ) 3 Swide WE FPUOC, ol ) cndee A
.E_ x o
HE

off oflellA, druglearn.str 2EHE 2EH| AR o= THA ARSI o] dofA] ~ERe] e
Z7F AHn 1 Avks 550 AU O v 2THEE Y oSishal, 2 ARl BE =
Z2Jo] IBM SPSS Modeler 22(.gm) L&A A= 2ele- pPMML WRHHUTH

m& =8

import modeler.api

stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream

models = []

stream.runAll(models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunner()
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for model in models:
# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelQutput)):
continue

label = model.getLabel ()
algorithm = model.getModelDetail().getAlgorithmName()

# save each model...
modelFile = modelFolder + label + algorithm + ".gm
taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...
modelFile = modelFolder + label + algorithm + ".xml"
taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

2] Aaly] e} T 35 A sk PR e AT, of Fezold A8E 4 9
= wlhes} e el fokse] Yiguch

IE20. FF Y TS 23 A ) S va=

s 2l #3 Ay
t.createStream(name, autoConnect, |=E% A ~EZS et gElghch ~EHS
autoManage) AREAA] HolA| 31| gl 2E-RS 7Rl

|02 2| |of Sli= I =+ autoManage
ZYIE False AAaloF gt

t.exportDocumentToFile( ALE)R] ke 2EY AuS AAE 1 Fals ARESk]
documentOutput, filename, gz YU ch

fileFormat)

t.exportModelToFile(modelOutput, | Z18EA] & 2ES A TRl FAlS ARSsie] Td=
filename, fileFormat) =AU
t.exportStreamToFile(stream, | Z-85A] & 2EZS AAH v 1S ARgsi] 9
filename, fileFormat) 2 Y=y
t.insertNodeFromFile(filename, | =% AAE TdoflM LEE ¢lu IF =5
diagram) g tololslel Ab}dste] Rk

]7_]‘g_ /\Fg_g]_cq T n] —",‘—,ﬂ =t ouxj}g_

£ % o 98 5 e

t.openDocumentFromFile(filename, | DocumentOutput ZE adollA FAE ¢ar ZEhch
autoManage)

t.openModelFromFile(filename, | ModelOutput ZPgE mdeld BEE ¢lar Hduch
autoManage)

t.openStreamFromFile(filename, | ~EZ A BidoA ~EfS ¢jx ZRIFch
autoManage)

t.saveDocumentToFile( HEEA] ke EAE AAE 3 Y AR
documentOutput, filename)

t.saveModelToFile(modelOutput, | HE=A] e Fas 2P gkl 2o ARy
filename)

t.saveStreamToFile(stream, filename) | Z-8=A] & 2EYS AAE 31 fJF]of] AR ch
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5 X2|
Python 1O try...except = E5S 33l &F AHZE ATHULE o7l 2~THE WA ARE31

JolE EYShL 1A om ~aYEr} FusP) Wt BARE AP £ Uk

ol 2~THE ooll4= IBM SPSS Collaboration and Deployment Services RepositoryZHE ZE-S 7
AT AR, of 202 sl dlell AR 4 i olE Sof, BEAEL) 219 419 AR
7 kel AgEA it eEAlEe) Aerh uea) Siech 2SRRI o}Le: Modelerfxception
o] WAEA TWE F YHFYUTHIBM SPSS Modelerdl 28 AAHEE ZE 9=
modeler.api.ModelerExceptionolx I,

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything 0K"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

o 9B ~ogE 218 FF Java o9} TAISH vRE 4= 55Ut o5& ModelerExceptionolA]
IHIER] 55U o) diglE AElel] 8l 7t A9l B8 ARSI B Java d9E A E(catch)d
T Utk 4

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

Hae e 2TREC] 2] sle Fdshe thhl /1B Aol gt Agehe 183 e Alssuydh 2
2 &g gk ~Efe] Aol FYst HoR § AEY T STl B4 o Ye dHsoy wEd)

! H ZAXY ParameterProvider LEHAE
o ofel] Aojwl= P AlES TN AL slid s Aoldhs QEAES 2J§ish= getParameters()
TEe AFdUch

46 1BM SPSS Modeler 18.0 Python 2~THE 2 2FE3} Ry



4

3£ 21. ParameterProvider SBAE] ol 4o]E= ¢

Hlax 25 3 A7

p.parameterIterator() Iterator o] QHAE el T o]Eo] HiEXE
YT

p.getParameterDefinition( ParameterDefinition R|AE ol29] Rl gt B Aol w=

parameterName) T Bt o] AFAel EABHA e A

% None & Jeighch. Anke wacs}
29 o) gole] 2P glon of
A8 B Bl Y BE F& 54
2 Weg Bas) gk

p.getParameterlLabel (parameterName) |string ol AE me] Folg e I B
7} Q= 749 Noned ZlRIghich

p.setParameterLabel (parameterName, | Z-8E7] k& ol Y o] golB-S A

label)

p.getParameterStorage ( ParameterStorage ol AAE B A I e 1YW B2

parameterName) 27} = AL Nonel Eldhc)

p.setParameterStorage( HEER] oS olF Apdel B At RS AR

parameterName, storage)

p.getParameterType(parameterName) |ParameterType olE AAE o] {E = 1 vt
Sh= 79 Noned RIguch

p.setParameterType(parameterName, | A8&R] k& o] AAHH wio] F8S AP

type)

p.getParameterValue(parameterName) | Object o2 AAH mHe] Zh = I8 25 ¢l

Of
i
N
&2
oo
[}
ll
)
o
B
ko
j&
N
filo
(i
oxl
il
AW
£

p.setParameterValue(parameterName, | %
value)

TR oo, ATYEE b e B 54 HelEE 2 deke 2] 9l U Telco HlolEE BU
Yok T8 o 259 B4} o] o YUk ofg wHle] UuiAold Aus] ol g ~EY
w7 S 4 dolEllA ASIEh] Sish Al mseli ARSI,

2IYEZ} e = AE QSRR Sne ghe MY = mRel) A IS S Q) dEel o]
o YU T2 2EYe Ao A AEER o] WAOR REE sk Zlo) H8d
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i
0
o
i
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import modeler.api
stream = modeler.script.stream()

# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full filename", "$CLEO DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use field format for storage", True)
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aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

TR o T 2EYS AT

_ I\ { Y
b & # | -EEERA
telco.say Angregate Tahle

-

T P

J.-'. : '\.

_-fzap____________.._ i P — }C{?\:

i A s E.D._.

Selert Type churn
IE 5. 2THE o9 Al ~EY

2IRE o) the MEE B B719] Lo HolE kg Uashich

# First execute the table node
results = []
tablenode.run(results)

2IHE o9 thy MEE Hols =0 A3l ofs A4 Hole Sl MUt 2aHEE T-
ks Elolee] 3s Bl sl A B e ke I Zaunh

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()
min_income = 1000000.0
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min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)

row += 1
2TgEe) g slEE HA BT FUS 2R PGS A3l ool BTl "LowestRegion” 2EY T4
2 A9PUT T9 O 239EE 39 slolEdlA Alsle AT 99 ke md vl Ao,

# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c¢50node.run([])

A ~THE o7} ofefioll EAIEUS
import modeler.api
stream = modeler.script.stream()

# Create a stream parameter

stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region

statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114,

142)

statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")

statisticsimportnode.setPropertyValue("use field format for storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate",

aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)

294, 142)
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stream.link(selectnode, typenode)
stream.link(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet ()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount ()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria

c50node.run([])

2=y 2

=23 3k AE oo gigh gkl QoF BAIRS Akl Ol AU ol QF gk ~EF U9

ofollxu} AN~ 4 dFUTE S22 3k E%]% 53l o]gol ol WMETRE HollM ~EFY B

o} wissghiicy car Zhol 2-=RiEel) o) T WRaelA AgEE ol Helgh A wv) A o)

AFOE YUIERE WA A2 et dEUd. ASUe O 22U ge sEYe

getGlobalValues () HAES TE3t] HAFHurh

GlobalValues RHAE:= T} H|olEo| FAE= S5 Aot

22, GlobalValues SEAE oJ5] Hojxl= g

SN 2l #3 Ay

g.fieldNameIterator() Iterator Sy ode] S22 ks ZH= ZF " o
Sl tigh ¥HExLE 2JEghch
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3£ 22. GlobalValues SEHAES] o5l Hol=l= & (A<

= 2l {3 A
g.getValue(type, fieldName) Object AAE 58 2 e o|Fof tigk 22 gt
T= w2 2e  gle 49 Nones €

ok v vt o 3 A8 e
= deks, gEgke ghkdoz o1 A
OF oyt
g.getValues(fieldName) Map e Fe o|Fof ulgh IR FqES

ks Wolut HEof gigk 71E o] ¢
= 735 Nones EEHFUTE

GlobalValues.Type AME- 7Fsqt QoF BAR] 3 AU s 8oF SAI] AR 7Fsuth
o MAX: o] Hujgk

* MEAN: o] o 3k

o MIN: F=9] 43tk

+ STDDEV: =9 #F WAL

« SUM: Z=of = Frel A

g 50, ths ~THEE "income" HEO] Highks dH|zsh, ozt Ak AA ol o Ak
Ut

import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")

Cks AEgl0f 3t Zte): S8 ASRE
o 2~Ef] tls)] AelH 5HE 2IHES ARES|ok ?‘ME} =23 ~g8lEX [IBM SPSS Modeler
Ul Welld d1x 9 Asi=lAu d28Ae] Zoox HWEsl] 2e2x] JddE 4 dsuyth

# Change to the appropriate Tocation for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunner()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

A 4 2398 AP S1



histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applych0.setPositionBetween(derivenode, histogramnode)
plotstream.TinkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.run([])

# Finally, tidy up the streams

buildstream.close()
plotstream.close()
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o] Holx= 2EF A 74, 2IAYEA JAFYH HEHSE ARE, IBM SPSS Collaboration and
Deployment Services RepositoryollX] QEAE MAE x3lsie] 2THE ARSo|| tigt |3} 7[He] &
£ Azt

u] Ejr]d =7} 7182 gl HskE A= AgUh ofE Aeols T Hd oAE
g 5 dsUnh 2ERO A3 sAE WsY 25 54 thst dAke] A3 jlol v dAE &
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o] 2TYEE BEsh AAE BEYSA e B Pe) wES 2 BE 2EYN AT 5 YY)
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[e]

# Alternative 1: using the data model namelterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# namelterator() returns the field names
for field in node.getInputDataModel().namelterator():
newname = field.upper()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName() .upper()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

53



2IHEE T 2B BE k5SS 9kl 7 =2TF FE/K| RS ARG 1 A, AaHES

Lo Q= ZF s 55k field.upper() == field.getColumnName() .upper() 35 ARE5]

IBM SPSS Collaboration and Deployment Services Repository2| 22
HE HA

IBM SPSS Collaboration and Deployment Services Repository®l] Tt ARg-Ho] Qo ~IHE HHS
ARgste] AR TS A B S = U YEAERE ARSSe] QlEZRlo|l= o} &
ofd, T Bl &FA9 HEXEA Hlolg wlold Bd gl A oS JiAQ] 2ol Alo]EE HEISHIAI

e}

—.

IBM SPSS Collaboration and Deployment Services Repository0f o1&

SJmAele] Aloslr] Sl WA SPSS Modeler A8 SIEIlolso] = vlirLh Weiale Eal
FAE] e -Fad JAE Agsfol Ptk AR FHE= 69 F|o)x2] [IBM SPSS Collaboration and)

[Deployment Services Repository 32 SIS Z=x3MiAl L.

a|ZX|E2| OHMIA

Aldellr glEA|Eelel] dAl=E = JFUth ¢E 201, st AUt

repo = modeler.script.session().getRepository()

2|ZA[E2(0fM THA| A

2THE YollA] retrievex 5 ARSI 2EY, el 29 gl ks IR TR JiAlo] A~
T IFUh A el gk goko] The 3ol FEAIEUT

#23. M ~aYE G

7HA 53 YE|Ee] P45

2EFY repo.retrieveStream(EAIE AE, EAY WA, EA44E #olE, F& autoManage)

h=ic)] repo.retrieveModel (EAFE A2, EAE W7, EAE glolE, H-& autoManage)

=9 repo.retrieveDocument(FAE 72, FAE W7, EA1E go]E, 12 autoManage)

=t repo.retrieveProcessor(EAFE 742, 48 WA, 44 #°l&, ProcessorDiagram Tho]oi13))

e S50, U IFE ARSI BEA RN 2ES AT + syt

stream = repo.retrieveStream("/projects/retention/risk_score.str", None, "production", True)

o] d= A ETolA risk_score.str 2E-S AU production #lolE 7S ~ERS] W
e Apdet piA B4 SPSS Modeler7t 2EflS A2 20014 AR5 AFAUTHAE E°1, SPSS
Modeler AH&AL QIEJH|0|27} FAIEH ~EfJo] ~Eg] Blof] FAIEES AUt tijlem 43 glo)
£ gl S AR 75 JEUTh

stream = repo.retrieveStream("/projects/retention/risk_score.str", "0:2015-10-12 14:15:41.281", None, True)
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Far w58l glols WzEsTE 25 NoneolH F4l wigde] ejdgyth
2|=ZX|=2] L] JiH] 2~=0{E

HEAEL oM TAE AFeE7] ol ZTHEES ARSI storex FrE ARSSHIAL. A el thigE
[cofo] Ty el FAIFEYTH

WA 53 2l 2]

2EFY repo.storeStream(ProcessorStream 2E¥, #AE A2, FAE o)

=d repo.storeModel(ModelOutput 59 &8, #2149 4=, #A1E #olE)

=7 repo.storeDocument(DocumentOutput &4 &3, ¥4 A=, #4414 #ol8)
= repo.storeProcessor(ZZAA ==, FAME A2, EAKE dlolE)

dE =01, tha & ARESI risk_score.str 2Efe] Al M-S ARE + JFUTH

versionld = repo.storeStream(stream, "/projects/retention/risk score.str", "test")

o] el =Y A WAL AL "test” FOIEE olsh ABAIN AR AHE we] th H
w4e e

Har: Gl A Wt GEAIA kol Holo] ths) Noned ALSHIAS.

2|ZX[E2| EC 22

JEAE o] EOE A3 NS EE IR0 THA QB AAE o A 2 5 etk
£RS ololA] o] createFolder() $4-8 AMSSIe] S0 AUSHINL.

newpath = repo.createFolder("/projects", "cross-sell")

o] doA= "/projects" ET] Woll "cross-sell"olgh= Al ZUE AMdRUTE e Al Z2H9] A
ZE2E gHPch

Zr]o] o]2& WAslEH renameFolder() TS ARRIHIAL.

repo.renameFolder("/projects/cross-sell", "cross-sell-Q1")

A WA W= oS WEY 209 A A=o F WAls s Eel AT A olEdYT

Hlo} = ZUE 2SI deleteFolder() 5 ARSSHIAIL.

repo.deleteFolder("/projects/cross-sell")
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< Hed tish Ak shell s vEdke ST, A7) o= Mo R Az AU

oM 2388
2AYROR urHoR ALgA} Eolzoly AR A9l AWT S gkFUTh IBM SPSS Modeler
B AT w Ues) el S9d 2ede Asla dgshiie. oF B,

client -script scores.txt -execute

-script Z1E AHE ATHES 25k A, —execute ZHTIE ATHE mjJo] RE WHEHS A8

.
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stream = modeler.script.stream()

# Assume the stream contains a single C5.0 model builder node

# and that the datasource, predictors and targets have already been
# set up

modelbuilder = stream.findByType("c50", None)

results = []

modelbuilder.run(results)

modeloutput = results[0]

# Now that we have the C5.0 model output object, access the
# relevant content model
cm = modeloutput.getContentModel ("PMML")

# The PMML content model is a generic XML-based content model that

# uses XPath syntax. Use that to find the names of the data fields.

# The call returns a list of strings match the XPath values

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")
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API

3£25. API

2=l = A

int getRowCount () o] HlolEd = W] & 2Py

int getColumnCount () o] glo]Bol Y= do| = g

String getColumnName (int columnIndex) A" 4 X]—.—Oﬂ e o o5 THd
Utk & A= 004 AR

StorageType getStorageType(int columnIndex) ZAE |G| ,\)\b Qo] A < e
Ut & A5 00l AR

QHHE getValueAt(int rowIndex, int|2X&E 3 2 & 25l U= ke EF

columnIndex) Uk & 9 4 5= 004 AR

void reset () o] Zel= Ry} APE BE R AP T
ZHE vl

oot £

o) Hole = melo] o] 3¢ EPehs FHS AP mEH LA

F26. =9} =29

e oF 9 o5 Zdello]y 1D

table table "table"

Ofln| 23BIE

stream = modeler.script.stream()
from modeler.api import StorageType

# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full filename", "$CLEO DEMOS/DRUG1n")

# Next create the aggregate node and connect it to the variable file node

aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)
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# Configure the aggregate node

aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node
tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object
results = []

tablenode.run(results)

tableoutput = results[0]

# Access the table output's content model
tablecontent = tableoutput.getContentModel ("table")

# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), \
tablecontent.getStorageType(col), \
tablecontent.getValueAt(0, col)
col = col +1

2THE G §oll e E92 vt Rtk

Age Min Integer 15

Age Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugy
Record_Count Integer 91

XML ZEIx 4ol
XML Zel= mdo XML 74t ZAel=o] tigt BM~E AlF3hch

XML Zel= mdlo Xpath TR0 7HI8 A Q40 MM~ 7158 A3t XPath T3S &
ZAplA Q3 84 9 &A18 Hogl= EAEYYLE XML #Hellx mdlo tlokst QHAE 24 2 ot
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API

3E27. API
2= = A
String getXMLAsString() XMLS Exd2A gelghict
number getNumericValue(String xpath) 29 g8 §38 zk= A= 3rle] Ax
£ lRfUthalE B0l, 2= w323t n)
Al Q0] 42 A,
booTlean getBooleanValue(String xpath) A= AZ T Wl e AdEs €
gt
String getStringValue(String xpath, String | AHE =29} vjxsh= £44 7k == XML
attribute) 5C s FEdUch
22Xy 22 getStringValues(String xpath, String | A% ZHZ2e} vixjel= ZE $4% ==
attribute) XML Tt gko] Z25 geEghich
2AlY 2=20| 22 getValuesList(String xpath, <List of J47H Az} MRtk XE &4 3ol &
strings> attributes, boolean|E2 XML =& FhEL3S A9 34 =
includeValue) Eﬂ?h%tk
SHA| E|O|= (key:string, value:list|getValuesMap(String xpath, String|7] Aol XML & 32 7|2, 244
of string) keyAttribute, <List of strings>|&A @ 552 HOlE #o=Z AM8shk=
attributes, boolean includeValue) |34 Ho]ES FEghch
boolean isNamespaceAware() XML 5 2717} Y ago) ~2 <llE)
ofF k=R ARE FHIUTE 7B
FalseqUtt.
void setNamespaceAware (boolean value) XML F-& 22717} Ydado]| A~ QlAlE|
oF sh=A] oF-E AAFITE oA =3k
reset()—e‘ 3] $4 sEo] WAS A
deles AR
void reset() o] Hel= ey} AfE nE lﬂ—tu'— A F
ZKel: 714E DOM 2EAE)S HlgUTh
ool 3
o] Hole-& Hel= B9 o] §35 X3k =82 Mok =58 UEFUTH
H 28 wEo} 27
Y= ol 29 ofe Zlol 1D
=20 Dol XkAY Y R e =8 "PMML"
"autodataprep" n/a "PMML"
oM A3EIE
Zelzo] oH25l] 9l Python 23%E TE T fAR 4 U

results = []
modelbuilder.run(results)

modeToutput = results[0]
cm = modeloutput.getContentModel ("PMML")
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dataFieldNames
predictedNames

=

cm.getStringValues("/PMML/DataDictionary/DataField", "name")
cm.getStringValues("//MiningSchema/MiningField[@usageType="predicted']", "name")

JSON ZlHl% wele JSON 32 7ldlx A9he AFSRe v AHGTIC ofAe 537} ofel gholl s
A% UL ke T ool Bk 22T & =S ks SR APIE ARSI,
API
3£ 29. API
2=l Hie Ay
String getJSONAsString() JSON ZHI=E Exd= gleldhych
QEHE getObjectAt(<List of chjecta> path, | Xd Az eHAES AT} Al
JSONArtifact artifact) throws|EHE FE olEHEE= dY 4= gJo 1 74
Exception 5 7ARI=o] FEE ARSI 2EH gt
< gHE A, Ag, Ay B8 e
JSON O}EJHE(JSON QEBAE = JSON
HIEY o+ JFULE
sHA| Ell0]E2 getChildValuesAt(<List of object>|7Z7} JSON QEAER o|11= 79 A4
(key:object, value:object> path, JSONArtifact artifact) throws |® ZA=Ze] 3l9] #t, 124 &od d& g
Exception EIghc). HolBe] 7= B w4
oE e gEE 2R, e Ay &
€ @+ JSON O}EJZE(JSON QEAE =
= JSON #ihd 4 UFUh
QHME 22 getChildrenAt(<List of object> path|7ZZ7} JSON HIERE o|11:= 7-¢- 249 74
path, JSONArtifact artifact) throws|=Zol = QEAES B2 j=x] ¢rom
Exception 4S gt gdd gk gEE 24
g, A, At H-8& == JSON oEHE
(JSON 2HAE = JSON HIE)Y = 3
FUh
void reset() o] Hel= wdly}l Ay == U ZH F-
ZHell: FWE DOM LEBEAE)S H[S T
oM 23ElE
JSON 8418 7lko R 218 Apiel 22 A4r) wev) Slis 49, A2 Ao Bk Aol ozl
t g2 AHE F JdsUth

results = []
outputbuilder.run(results)
output = results[0]

cm

bookTitle

cm.getObjectAt (["books", "ISIN123456"

output.getContentModel ("jsonContent")

, "title"], None)

# Alternatively, get the book object and use it as the root

# for subsequent entries

book = cm.getObjectAt(["books", "ISIN123456"], None)
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bookTitle = cm.getObjectAt(["title"], book)

# Get all child values for aspecific book
bookInfo = cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-Tevel "books" value
# contains a JSON array which can be indexed
bookInfo = cm.getObjectAt(["books", 2], None)

# Get a list of all child entries
al1Books = cm.getChildrenAt(["books"], None)

* UniqueCount

e ValidCount

* Mean

e Sum

* Min

* Max

* Range

* Variance

e StandardDeviation

* StandardErrorOfMean

* Skewness

» SkewnessStandardError
* Kurtosis

* KurtosisStandardError
* Median

* Mode

* Pearson

e Covariance

e TTest
e FTest
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ColumnStatsContentModel API

3£ 30. ColumnStatsContentModel API.

v o) A4 mEo) ezFhch

2= Hie Ay
List<StatisticType> getAvailableStatistics() o] mHlo] ALE- 7Vs BARS R
RE oyl viea] mE ARk gk gk
< ZA= syt
List<String> getAvailableColumns () SAE] AkkEls 4 o2 gEldhich
Number getStatistic(String column,|E3 SIdE 54 -2 @&Igych
StatisticType statistic)
void reset () o] A= s} AvkE =E U A F
& vl UTh
PairwiseStatsContentModel API
3E 31. PairwiseStatsContentModel API.
el Hie Ay
List<StatisticType> getAvailableStatistics() o] rglo] AME- 7Fs BAIRS EUTh
RE oyl dicA] BE A oigk 3k
< 7= syt
List<String> getAvailablePrimaryColumns () SAFe] Akka 12 G ol FEh
List<Object> getAvailablePrimaryValues() SAIRFe] Ak 13} de) s 2EdyTh
List<String> getAvailableSecondaryColumns () EAlko] Ak 23} & o]=2 FEFhc)
Number getStatistic(String primaryColumn, |83} g &4 32 gsighich
String secondaryColumn,
StatisticType statistic)
Number getStatistic(String primaryColumn, | 12} & 7t 2 23} G} <9 BA 3k< €
Object primaryValue, String|®H3ch
secondaryColumn, StatisticType
statistic)
void reset() o] Zdl= ey} Avke =E U A F
Hs vl Utk

A5 A

}
!
ol
ot



k= oF =9 ol% Zdelelu ID A
"means" "means" "columnStatistics"

(3 %5

"means" "means" "pairwiseStatistics"

(B )

"dataaudit" "means" "columnStatistics"
Tlole HE x&)

"statistics" "statistics" "columnStatistics" EA "ot AAE wwt
(BTAF =5) Yok,
"statistics" "statistics" "pairwiseStatistics" oyt e wig

(EAF o) o,

o] 2~32lE

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []

statisticsnode.run(results)

statsoutput = results[0]

statscm = statsoutput.getContentModel("columnStatistics")

if (statscm != None):

cols = statscm.getAvailableColumns ()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " = ", statscm.getStatistic(cols[0], stats[0])

statscm = statsoutput.getContentModel ("pairwiseStatistics")

if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns()

scols = statscm.getAvailableSecondaryColumns()

stats = statscm.getAvailableStatistics()

corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)
print "Pairwise stats:", pcols[0], scols[0], " Pearson =", corr
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Hl 6 3w ol

LZELN] =&

&3 AA] HEBE AMgSle] Tt o] IBM SPSS Modelers AR &= QlsULh,

1. IBM SPSS Modeler’} 2% ZFE|oIA DOS T WH ZEZE S AA L

2. el R== IBM SPSS Modeler QIEJH|o|~5 A|ZFslH™H modelerclient & FHol
A L. & S0, tat Z5Uth

modelerclient -stream report.str -execute

(el

(o]
v
il
o

A=
T W

TFEUDE ARSI ool we} Aol Adsial 2EYS 2Esi, ~2THES AdshA

Hel JHFH =l E 55 7] modelerclient W&o 7kl IBM SPSS Modeler?] 555 H

£
v
)
N
Jo
o2t
lo
o
o,
Og:‘.h

o

155 A 4 glow, of el HolM Ak

e Ardsl= S|

A5l QI ARG A= 66 HolA|2] TA12E] Q1)) W8-S F=sirL.

Bg Qg AR A= |67 Folxe] [24 Qlrfe] W8-S Axshiie

AW A g AR R |68 FlolAle] T 9 ] WS sk
AL

IBM SPSS Collaboration and Deployment Services Repository | A3+ ARE= |69 #H°]A|¢] [IBM SPSS Collaboration and|

A4 2l [Deployment Services Repository $12 Q15=Jle] W8-S a4l
Al

IBM SPSS Analytic Server &34 QI ApAE AxE= [0 o142 [IBM_SPSS_Analytic Server $1Z]

e dxshiie.

d|E Zo], -server, -stream, -execute ZIE ARSI Aol AFSH & thea) o] ~EHS 2T
St AT 4 dFUT

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

24 STPE A tis) A3 we A 92 a7t E8 (e HaskiAle.

2]}

=4

of
o

aelE Hagke SRR 5 T dsHoh o
modelerclient -stream mystream.str -Pusername="Joe User" -execute
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-state @ -script ZEIE AR831] IBM SPSS Modeler 8] 2 ~IHEE o] Wprlog 717} Algish

A ol T8l RS AMSSHE 49 wheaE Yol MEANE Aol Pk olle ¥AE S

ol w7t AAERA oAl

T Ol Clid

[== Ty

0 > of
>,
}-o
g
5=
of,
ot
o
2
}i
fu
>
0‘(1)(:1‘
_c[m
i
5
el
A
%0
)%
i
v
b
e
>
FE
ko
B
fu)
ot
o
=
b
-
=2
3r
>
r

3
B4 oA BRAek AEEE 2E Ree) ghe IRIT ST Iy

Alag ol
T Hlole-2 ARAL QIEjg|o] 0] HHdl S=of ARRE = U= AlZHl IS AUt

F 34, A Qg

i A5

@ <commandFile> Y o]ge] Holl 2= @ TAE WH 52 AFPUTE modelerclient’t @ A= <l
SE B S sjele) mEle] W] Qs Y PR AT AT Aus [0 0]
el o <1 Astllel ule-2 s

-directory <dir> 71 A HAERE AT 22 Bk o] HEERIE HoH 9 8 TFo) ARSS
Yt} of: -directory c:/ 5= -directory c:\\

-server_directory <dir> HolEE 93t 71E Ay galEg]E AU -directory SIS ARESI] X AEE 2
vl o A3

~execute AR, AL Aol 2EE BE 27, Ye) BE ASYES AP 2TYET} 25|
U gelel 212 Zese A9 ahen dagdt

-stream <stream> AEE Aol AE ~EfS 2ohnt o 2EYS AFT 5 QAL v E AdE ~E
ol WA ~ERo= Agu

-script <script> ARRE Alell, 28 S1E 2TR-ES 2R oA ool Aiske ~Edo el
712 AdE & JAT ARE Al & she] ~TERE 2Ed 4= QlFUTh

-model <model> AEE Alell, AE AEE 2l em B2 THY)E ZE{hTh

-state <state> AEE Alell, A A dEE 2T

-project <project> e z2AES 2ot AR Ald] © shute] ZgAERE 2ES 4 QlEUT

-output <output> AR AR, AR 8 QEAE(cou FY HE Z=FUY.

-help B Qo] BES AT o] g0l ARER e BE e FAIEL BT s
2Ag

-P <name>=<valuc> A BAE ASHE U AT kE EHER BE RS U] A8 ST g

Far 71 P g ARSA} /IEFo]2~olM AT & dFUTE A A2k, THd wlsrolA 2]

5|
oE T 2o

=

T2 A B= A ] AYS sl
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i

Bl 2EwE 7 onAes] tid B A5E WEsle] A Al thE 22, A, 222 2eg
% Qs olE Bol, report.sr B mrainsirolehs T 2ERS RS Agsi the HEe

=

modelerclient -stream report.str -stream train.str -execute
IBM SPSS Collaboration and Deployment Services Repositoryolld] QEAE T

y}d = IBM SPSS Collaboration and Deployment Services Repository(AREH0] = HA-HERE &
A LBAES 2edh 5 7] v, 3 ofF FFEA spsscr: B A OR file:(HaT0] QEAE
7492 IBM SPSS Modelerol] LBEAES S QA5 ARG HFiahs o 2219k 3 29
ek

e -sStream
* -script
e -output
* -model

e -project

HFEAE ARSsl] QBAES] 9IXE XAsl= URIE 2P Thel: -stream "spsscr:///folder 1/
scoring_stream.str"). spsscr: HFEAP}F L0 IBM SPSS Collaboration and Deployment Services
Repositoryl] Ot 83 A4E& FUS HgollA AAslior FUtt wehx a1 5o WAl WS o
AR

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-SpSSCr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

Beigiolas vlEA] URIE ARgelol 3RS FasilAle. ©] 7hksl REPOSITORY PATHE A|QE)R] ok5
o} (=THE YoMt Zs3duyt) IBM SPSS Collaboration and Deployment Services Repository©ll4]
oBAE that URIS AAFF 8- |54 #Ho]x]2] [IBM SPSS Collaboration and Deployment Services|

[Repository®] @ HAE oM~ || FA1S FxsMlrl L.

24 ok
IBM SPSS Modeler®] Weda) 418 ol N Fel12 AT 5 Sleuick W33 ol -p Sa

= -P <name>=<value> W29 BFE FAISH= d ARSI T
=l

F S 5 ]

T The
« ©KE B4(EE CLEM 332oA 21 ARgShe 2.
© EF BEpeE BAol: §5). ol Eae 2B kto| RS Sgske vl ARSI AR

gk AR 73 FoXe] [we B4 el FAIE A=shiAlL.

IBM SPSS Modeler®] 355 W7sh= d] ARSsSh= weds) m4

& Eol, Tt 2ol Holy & AREA} o5} HIEHEE WHY It Aled ¢ sy

A6 HEgsy g 67



modelerclient -stream response.str -P:databasenode.datasource="{\"ORA 10gR2\", userl, mypsw,
true}"

&219 databasenode & E4J9] datasource EFE A9 ZHUTH RIS ABE 85 Ho]A]¢)

[ databasenode EAJJIS- Fz3HAl <.

N
Rl

[3: 7t ofF AER kE oS TuEHEE Fal UERE WetiiE olzAlo|Zsfok gt olE

= =
o), ol o] Hlofe] 22x W7} Source ABCERE 8- 2K A9 U Thest Lgrk

modelerclient -stream response.str -P:databasenode.\"Source ABC\".datasource="{\"ORA 10gR2\",
userl, mypsw, true}"

T TMI HJoJE] &2 dol|xie} o], F-xs} BE APdske Q18 F59] ol ¥WisejAe dashct
clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:\Share\TM1 Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/pmhub/pm"

-P:tmlimport.tml_connection={\"SData\",\"\",\"admin\",\"apple\"}
-P:tmlimport.selected_view={\"SalesPriorCube\",\"salesmargin%\"}

Me] o4 Ol
-server F 7= IBM SPSS ModelerollAl 3-8 Aol dallof & AAJskal, -hostname, -use_ssl,

-port, -username, -password, -domain ZZ]1= IBM SPSS Modelerol|A] && Auo] HZsh= #hie
ZAsh= B ARERUTE -server QIGF AAEA] o 7| e 2 AHE ARSI

o

38§ Aol JZskH tae FalsHiAlL.

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

A 2Rl Qs tae siALL

modelerclient -server -cluster "QA Machines" \
-spsscr_hostname pes_host -spsscr_port 8080 \
-spsscr_username asmith -spsscr_epassword xyz

A #xlol] 925k ™ IBM SPSS Collaboration and Deployment ServicesS 53+ @A~ ZAA} &
83lE=, ~cluster U577} S|EAE] A4 FH(spsscr_*) £FO0 = ARgaflof ot AR AR=
fAlo]x]e] TIBM SPSS Collaboration and Deployment Services Repository 912 <152Jlo] W8-S 2zah4
AL

I35 AW HE Qg

QI 2Edy

-server IBM SPSS ModelerE A¥ R=oj|x 28531, -hostname, -port, -username, -password
-domain ZIE ARSI B8 Aol AT

-hostname <name> A mLle] S2E o]E{Uth AW BEoflxut ARE- ThsduTh

-use_ss] 1Ho] SSL(Secure Socket Layer)2 ARg3fjof ghS AL o] Z21= AEiARIUL
71 e SSLS AMESHAl gksL)

-port <number> A7 A ZE Haunh AW BEARE AR 7T
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3E35. A] A <l ().

Ha 257

-cluster <name> o1F AHE Ayt ot A el tigh AS AP o] QI44= hostname, port,
use_ss1 5=9] thekiUtt. o}2-8 5 ©|& &= IBM SPSS Collaboration and Deployment
Services RepositoryollA] & A¥Hsk= 1 URIYYTE AW FZHL IBM SPSS
Collaboration and Deployment ServicesE $9+ X242~ =l <) H=gUT). S
AR+ [[IBM SPSS Collaboration and Deployment Services Repository 92 Q1<=]le] W&
< FxsHrl L.

-username <name> Aol 2T128k= AREAL ol U AlH REOARE ARE- 7SS

-password <password> Aol 2LskE HEHEAUTE AW RECARE ARS- 7FsUTh Al -password Q1
£ ARESHA] 9hom AREALAl MW SE ZEIERTH

-epassword Ael] 22k Ql3dd R EdUTh A REoxnk ARE- Thseiuth Fan 1sgE

<encodedpasswordstring> HUHS= IBM SPSS Modeler clZ2jA01AS] =7 vlwollA AE 4 55U

-domain <name> Aol 228k H] AMSShE EHIIdUTE AW ZEoARt ARS- RS

-P <name>=<value> AR B2 Ak d) ARSI R E BA(ER 2SS ek O] AR SR sy
=3

IBM SPSS Collaboration and Deployment Services Repository 9iZ Ol
&8-S 53l IBM SPSS Collaboration and Deployment Servicesoll4] L BAEE AAFsiAL} A0S =
73%- IBM SPSS Collaboration and Deployment Services Repositoryol] thet &3k 1248 xgsfjoF g
o o =01,

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-Spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder _1/scoring stream.str" -execute

Uk Hlole2 925 AHske vl A ¢ e s et

I 36. IBM SPSS Collaboration and Deployment Services Repository ¢4 Q4=

Qg 2kEdmg

-spsscr_hostname <&XE ©|E Ii= [P 5| IBM SPSS Collaboration and Deployment Services RepositoryZ} 23X AH2]

= T2E ol = IP FAYU

-spsscr_port <number> IBM SPSS Collaboration and Deployment Services Repository”} 948 5213}
£ XE HSUrhanzo® 80800] 71E4E)).

-spsscr_use_ss] Ado] SSL(Secure Socket Layer)2 ARgsfloF g AT o] Za= AE)
ARFPUTE 718 A SSLe ARBSHA| LT

-Spsscr_username <name> IBM SPSS Collaboration and Deployment Services Repositoryol] ZI118R= A}
|4 olg Yyt

-spsscr_password <password> IBM SPSS Collaboration and Deployment Services Repositoryol] Z71Q18= H]
WS Uk

-spsscr_epassword <encoded password> |IBM SPSS Collaboration and Deployment Services Repositoryol] ZI18R= <l
9 HEHS U

-spsscr_domain <name> IBM SPSS Collaboration and Deployment Services Repository®l] Z123)= d
ARESRE E=HRIYPYL) o] Z1E AEARIIUTE LDAPOIY Active Directory
£ AR8sl] 2IRSHA] B0H ARESHA] mRAlL.

A6 HEgsy g9 69



IBM SPSS Analytic Server 934 0l
&3-S 53l IBM SPSS Analytic Serverolld] QHAEES x4 o= 74A51H IBM SPSS Analytic Server
of tigh &gt A4S Aok gt

a1 Analytic Server®] 9= SPSS Modeler Server=FE Aom Fejo|AEf A WAHE = giFUch

e Hole AES AHERs B AT £ gk UE Vg

37 IBM SPSS Analytic Server 9348 ¢l

g 2k

-analytic_server_username IBM SPSS Analytic Serverdll 271-:25k= AMA} o|FUYTE
-analytic_server_password IBM SPSS Analytic Serverel] 271-28H= HEHS YU}
-analytic_server_epassword IBM SPSS Analytic Serverol] 271-23F7] $I§t 1=ZEE HIHHE T
-analytic_server_credential IBM SPSS Analytic Servero] 2123h= H AMSSh= 419 R I

o ok Zt

@ 7|15 9 1 FE mEE Y o|FS ARSI 3= Al AREE O B 9 tF Qe A
T JFUSE ol BWHEd IS WEskal WY dold gk BEE &9 AA AE 55T F dFUTh
AE S0 o3 AR MHL <commandFileName>2 2 Z=xEj= mldoA A== A4S ARSIUTH

modelerclient G<commandFileName>

Flo] B4l 39 o) olg % WY wle) gk ARE MERS FOAA L.

modelerclient @ "C:\Program Files\IBM\SPSS\Modeler\nn\scripts\my command file.txt"

WY v A shte] QIFE Zhal ARF Alof] A C R oo AE BE Qe XIS o Sdsut
a:

-stream report.str
-Porder.full_filename=APR_orders.dat
-Preport.filename=APR_report.txt
-execute

B3 SIS 23 FEY 0] T ACkERS welok gt
o A Shle] W AL,

e @CommandFile Q5 ™& U Qhol| IME=SHA] nAAL.

70 IBM SPSS Modeler 18.0 Python 2~IHE 2 2FE3} kA



H738S588x

5N Hx 7H2

e 2ER, Suiws, Zeded] oiF FRS T S48 44T + AUtk ofF, F4(Annotation), =
T Ak G e 2E somol FEA WL T e 54 frale) oseld WIS, J1e) 54
AW EE IS AT DS P9 FE 2EY A4S FRPIT. SHS EF AR e85
A AP+ SlomielE Bol, tweo] tiek S48 BRIsb) l tlsh A4S @ u) e e o,

= A8 4= gy,
. ol élow Aele 2, ~IUES F6) 54S 4% 5 I AR Ans 2

BN

o 2 BEAL et BepolA AR o dEU
¢ == EX2 IBM SPSS ModelerE A1 w] w&Hd) A0 ARZ(-p ZIE AMESH) AR 5

IBM SPSS Modeler Wollx] ~3THElS] A EA], & 9 ~EF EA

o] QRIHOIE B e 2EY Byoz REu:

o
o

&% m4el S

m
i

2THE Aojoll ot AR R P

e

o Hxshir e

sA =
de TH TES AMEslel 29 5 SR
OBJECT.setPropertyValue(PROPERTY, VALUE)

£

TCl-.
A,

OBJECT.setKeyedPropertyValue (PROPERTY, KEY, VALUE)

Exo] g The TR AMSSIe] 2T 5 c.

VARIABLE = OBJECT.getPropertyValue(PROPERTY)
T
VARIABLE = OBJECT.getKeyedPropertyValue(PROPERTY, KEY)

o714 0BJECTE =& HEE Eolal, PROPERTYE @A o] Fxshe & 549 olgelH, KEY= 717} Sl
E EA9] 7] U] A2 Bof, ThS TES TE k52 e $ RE P2 w3l thesEY Hlo]
ElollA] Age T2 ZEHSIEE 7|27 AAITH

filternode = modeler.script.stream().findByType("filter", None)

filternode.setPropertyValue("default_include", True)
filternode.setKeyedPropertyValue("include", "Age", False)
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IBM SPSS Modelerol|A AME3H= BE ki 2EF findByType(TYPE, LABEL) T55 ARESl] 2be
T ShEUTh TYPE B= LABELS] S ofd<s APdsfiol gt

2agee] TR BAT v BEe PIAP] el TS E4S AgSHE T 7 el ek
© %Y, el mE 7Y T 2L B ol Uik 549 o)gd T2E Refsb] .

| ok B4 el Slat Aae AR Sl

et
'z,
2

=5t olEfmolAo] Chet 2=

HolE 9 7[e} B3 QIE#o)|~E 2 =5 78, ZH, ¥8 5o 2TIHEE 212 - 45
7] 3l A% 725 meElol Ut ol 5442 B AlEAle] gk o]gHT EXRE o]ge] a3, o
o5 7IgkaL FEUTE dlE S0, IH =& WA ZF AR 7hs HE(P2E" Zol e AXAY A
FAUth. o] RS x| ffeliA Y ke B AR 3 (7 FETT true B falseRIA] o
= AFFUE o] B True = False 35 7H H(EE Fo1d ) dFUTh mynodeth= B =&
THHZEH Zol) Ageth= EE ZieThal 7PEsMIAIL. oils 118W thaat 2ol Age 715 AREsI
include 55 False @ho= AASTHAIL.

mynode.setKeyedPropertyValue("include", "Age", False)

I
o

of & ol == e 2EY S AR T dFUHE oPe o AlE WY

d

Un Ao TR E4o] wiS- WA 5 Uk el Thewh PRI,

sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age", "Ascending"], ["Na", "Descending"]])

TSR SA40] Zhe I UE AR o) AR Aol sl o] EAe Ak Zledutt 7184
o2 tg AEs /E 54 Ae 7Nk ofll XS Folr] Aol Be SAe E50= AU o
£ 20, 3 v k=2 AHofg v 2 2 s oF7 AU, S Aol
EF 182 w7 2= JEEA 7] WEdun S4e UE AERA Agofshd Hloly 2l ]iH|o]

Esly] Aol T B4 B sl o] ZAlAe] WatslA] ssuch

-
)
s
>
o
ol
®

g
(r
Am
Xz
flo
(2
o2l

ofo]
wC Ege) TR AN T folE AT ol SeskA ATUES FAHY o) =0l FUL

3E 38, TR FAOA] AREShe FEa oFo]

°fo] 2Ju

abs Holigk
len Zo]
min HA
max |l
correl FA
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38 gRE JAOA ARSSRE E= ofe] (A1)

ofo] 2]um]

covar o ila

num e 5 54

pet FAHE = Wis

transp Eys

xval nxp HE

var B2 B g (As REfA)

rt 9 ~E¥ EXS [BM SPSS Modelerol|4] Thkst Wb o= A48 4= 95Utk o 2~Edol} 219
As3lEl] S8l AMgslE 533 2aE T T 2EY UloA Z2AIANE AsskP] 2k ARSS)

EAS ARSI kB B4E AT 5 U 7R 71EAR] <Folli= B3-S IBM SPSS Modeler
S 93 WHd FAHCE ARSE R UL -p JIE WHEE S0 YRR ARESIe], 2Ef] B4
S ApgSle] ~EFoA S WA 4= syt

339 k& YW 2Ef BY o
=4 BE
s.max_size st =59 max_size 544 F=EFULH
_ sthe =50 max_size 54& Fxshd], 32 ==ofok Y
s:samplenode.max_size o -

A 2~EHo|| Q= FE o] max_size 5AS IXFUTHE
B =7k sk Qlofok 3h.

sthE =59 max_size 548 F=shad], 2 Tofof Y

:samplenode.max_size

s:sample.max_size

=3
t.direction.Age 18 == tolA Age Vo] IS 3T
) ok ZBSER] oFg- kT olBolu k& {8 F S A
:.max_size Slok STk

s:sample.max_size o= =& F3<S 8] 8T davt glas ATt

t.direction.Ages U3 &R olgo] AIACE TS & 4SS AFPIL I BF wo Sy
M ke Zhe Vst P GRS 19 SRS 78 wE 83 S4elRla gy

A= It FEEAE SU1 B A1) E F JsUTE oS
A = = A 57 Y == EX =7} Discard, PairAndDiscard, IncludeAsText 72+
< A grel HelE AR o e, o] Aol thE gk ARSSHE o g IS S B
true 2 false?] k3 ARESId Qv AAs)oF gt} (0ff, OFF, off, No, NO, no, n, N, f, F, false,

¢

A7 gEL R T3



False, FALSE ®x= 02 3} ‘?ﬂ S A AR o QAEREL ofd %‘TOH% d s o W 2R/E
I = dFUSE 7TE BE 3 tueE IHEUTE trueft falseE YA ARBSRE Zlo] £
& = dFUth) o] kxSl x oA, Fx3fE B 54 H% %owﬂ ol A=, AR 32
o] ATk

ZE LC EMN

wo ExJo| IBM SPSS Modelerel < BE by E ¥3ho| FEAJYTh

H40. 35 =t B4

=4 ol dlele] £33 54 A4

use_custom_name flag

name string M ~2] w0 tigh o]S(AE T AR

2k ZohE ¢e el A8 SAUYT

custom_name string O] AREAL o] o]5-S APFTY.

tooltip string

annotation string

keywords string OHRJEQ} AT 719=0] =S AAS)H

= Fx3t" £E(9: ["Keywordl"
"KeywordZ"]).

cache_enabled flag

node_type source_supernode FEEE v s 2xE= o) ARRSRE o)
process_supernode 28 EAYYTE dE E°] real_income
terminal_supernode Zo] olgtto g x5 FFs= Ui,
2IAYEE 28 AEHE BE userinputnode == filternode 2
xE ol = AT sy

S B EAL g8 BE o) o] ¥ug =0yt AR AR 317 FHolxe] Al 19 [

Pt Bl 82 FxshINL.
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2RO R TeRE 2EY EAS Ao ¢ suth. 2EY

—H

stream = modeler.script.stream()
stream.setPropertyValue("execute method", "Script")

S

t
7
o

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "\n\nThis stream is called \"" + stream.getLabel() + "\" and
contains the following nodes:\n"

for node in stream.iterator():

annotation = annotation + "\n" + node.getTypeName() + " node called \"" + node.getlLabel()
+ II\IIII

stream.setPropertyValue("annotation", annotation)

Am
nd
o
o
BN
p‘L
At
ra
i
o
i
i
>~
*®

@A) 2Ege] weg Fashe o AU the 29 AI-EY} o2 AU,

slo] ol = B4 AMgSle] 2EY Qi BE wo) 229 el T %5% 2EY T4 7]

23U AR F4e gewt wsiig.

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to_K"
variablefile node called "DRUGIn"
neuralnetwork node called "Drug"
c50 node called "Drug"

filter node called "Discard Fields"

2R B4e e ol gt

=
#4l. ~EY B4,
A olE dlole] 73 54 A
execute_method Normal

Script

© Copyright IBM Corp. 1994, 2016
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H4l. 2EZ EH (A=)
=

=4 o5

Flole 74

£

ol

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

g Q Yyyy

ww WK YYYY

date_baseline

number

date_2digit_baseline

number

time_format

"HHMMSS"

"HHMM"

IIMMSSII
"HH:MM:SS"

"HH :MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)m"
"(M)M. (S)S"

time_rollover

flag

import_datetime_as_string

flag

decimal_places

number

decimal_symbol

Default
Period

Comma

angles_in_radians

flag

use_max_set_size

flag

max_set_size

number
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H4l. 2EE EY (A=)

=4 ols sl 3 4 A9
ruleset_evaluation Voting
FirstHit
refresh_source_nodes flag 2ER] AP A a2~ EEE AFOE AR
AP Sl AR
script string
annotation string
name string ;o] EAJL Q7] ALYt ~EF9]
OIEE Wslehs A9 TE olgew AR
slloF g
parameters 513 2THE oA 2EF BrE
olESHHH o] EAS ARBIMIAIL.
nodes olgfle] A HRE FFIMIA L.
encoding SystemDefault
"UTF-8"
stream_rewriting boolean
stream_rewriting _maximise_sql boolean
stream_rewriting_optimise_clem_ boolean
execution
stream rewriting optimise syntax_ |boolean
execution
enable_parallelism boolean
sql_generation boolean
database_caching boolean
sql_Togging boolean
sql_generation_logging boolean
sql_log_native boolean
sql_log_prettyprint boolean
record_count_suppress_input boolean
record_count_feedback_interval integer
use_stream auto_create node_ boolean TrueSl -9 2E¥ 54 A4S AR8shaL,
settings TR hom AR} R e AR
o.
create model_applier for new_ boolean True?! 7% =& 27171 A 2Ee 2H4g
models 3], mlo] WY elolE A 24 4
i, Al =2 A8t FREUTh
Z31: IBM SPSS Modeler Batch W7 15
& A A AS 2TRE Qo mY A
SAE AR eR FTlsloF gt
create_model_applier_update_links |createEnabled 7d Aezt ey A5ez i u &
createbisabled ke Pae) f3e ARk
create_source _node_from builders |boolean True?l 739 2 277 A 2~ EHS

ZPgehs, A JulelE JaE 2] 4ol
A Az =271 FEUSL

A8 A" EY TT




H4l. 2EZ EH (A=)
=

=4 o8 dlele] 3 =44 A
create_source_node_update_links createEnabled 22 V) AFoR T w 2E=
ggﬁg;g?;i?ed B39 e Zeduck
has_coordinate_system boolean True$l 749 HBEAE A Al2-Hlol] 2-&
it
coordinate_system string el e H3gA|e] ol 5 YU
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H 9 & AA LC EN

AN E ZE SN

BE 22s Tl FEHQ o] ofefoll Lidshzl, Ak FAlo] 54 ol thek it P EA

et
of 1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

of 2

o] 2IHEE AH HolE o] tF B EAEE UERHE Regionoldhs B=E E3RITAL 7P

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full_filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat_square brackets as lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom storage type", "Region", StorageType.LIST)

# ...and specify the type if values in the Tist and the 1ist depth
varfilenode.setKeyedPropertyValue("custom Tist_storage_type", "Region", StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom list depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...
varfilenode.setKeyedPropertyValue("measure_type", "Region", MeasureType.GEOSPATIAL)
# ...and finally specify the necessary information about the specific
# type of geospatial object
varfilenode.setKeyedPropertyValue("geo_ type", "Region", "MultilLineString")
varfilenode.setKeyedPropertyValue("geo coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate system", "Region",

"ETRS_1989 EPSG_Arctic_zone 5-47")
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H42. 22

A ol dlele] 73 =44 A4
direction Input o e tigk 771 e 549U
Target AL 2
Both NODE.direction.FIELDNAME
None A gk In 2 outS oA T ol ARESEA] U olEel
Partition ek 2P 25 dejroll Hsld & ok
Split
Frequency
RecordID
type Range o] fPUYTh o] EAS Defaulr2 3735IH TE values
Flag 54 S Z9H, value_mode?} Specify= A=A Read=
Set A9 UTE value mode”} ©|F] Pass B Read= 2739 74
Typeless T type Al ofsl I WA B
) ARE- B4
Discrete
Ordered Set NODE. type.FIELDNAME
Default
storage Unknown e A& 3o et 7] AL 717 v E-EJULH
String AL &)
Integer NODE.storage.FIELDNAME
Real
Time
Date
Timestamp
check None 2t 73 9O Akl gk 77t e 589U
Nullify AME 2
Coerce NODE. check. FIELDNAME
Discard
Warn
Abort
values [value value] A&RCRS)) Beo] A9, A WAl ghe Hagloli vt ke
Hoigiuoh e 2e0] A9 BE #E AN
S Za o] A9 A WA gk falses YEML, vRAEF gk
< trues VEPHULE o] BAS AP A5 02 value_mode
EXE Specify= AP A 33he 550 A WA @S
ZlRko® wEFULE & S0l A WA ol swring?l 78 A
% Fke] AL AP
ARE B4
NODE.values.FIELDNAME
value_mode Read s HlofE] Hgollx] ZEof thigh gro] Aul= whis wEg
Pass 1=
Read+ ARE- A
Current NODE.value_mode.FIELDNAME
Speci fy o) S specip2 2 m@ 5 olee FopliNe. 54
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F42. 22 T FE EY (A,

A ol dlofe] 3 54 A9
default_value_mode Read BE goof gk gk AHE 27 718 PHe ARdUTh
Pass ARE

NODE.default_value_mode
o] A2 value_mode 5435 ARESI] 54 Hxof djsl] A
d  UFHTh

extend_values flag value_mode’} ReadZ 24742 u] ZHgguUch F=of tigh )9
o] 71& #oll M= 12 S FVBIH T2 AL A=
gl @ okl 71E 3ke Al FE AABRIAIL.
ARE B4
NODE.extend_values.FIELDNAME

value_Tabels string # dlolES APdsh= dl ARSRIUTE gre] WA A= ojof g
A L.

enable missing flag AAEE "o gk A3k 48 23U

AF% F:
NODE.enable_missing.FIELDNAME

missing_values

[value value ...

]

AEghe FASRE HlolE ke AL
A B2
NODE.missing_values.FIELDNAME

range_missing

flag

o Sdol T2 S A3NE) el W) ojs) ol
A 452 AL

ARE B4

NODE.range_missing.FIELDNAME

missing_Tower

string

range_missing®| trued Wi, AZgk Wl skdke AR
ARE- A
NODE.missing_Tlower.FIELDNAME

missing_upper

string

range_missing®] trued W, AZFL W] A9he AT
Ahg B4
NODE.missing_upper.FIELDNAME

null_missing

flag

o] 540l T= 242 o, d(&ZEoolA $nul1$E FAE=
Aol e ghe AEgoR EgUL

Ahg B4

NODE.nul1_missing.FIELDNAME

whitespace_missing

flag

o] Sdo] T2 A4E o, FuE, ¥ R F vPh 2@
= W2 ASpeR syt

ARE @A

NODE.whitespace_missing.FIELDNAME

description

string

B ol E= RS AR H AU

default_include

flag

7V Ahgol Weg A sk Pedshs A obvE A

7Pt e 5494
NODE.defau1t_1 nclude
q:

set mynode:filternode.default_include = false

.31

2
©
o2
i
i
£
=



H42. 22 RE FF Y (A%

= ok ERERE 4 9%

include flag 7 o) EREEA] ol EREEA oS sk )
RS 717t e 54
NODE.include.FIELDNAME.

new_name string

measure_type

Range / MeasureType.RANGE
Discrete /

MeasureType.DISCRETE
Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED SET
Typeless /
MeasureType.TYPELESS
Collection /
MeasureType.COLLECTION
Geospatial /
MeasureType.GEOSPATIAL

o] 77} U= B o) dvE 4 Aol ol A
T o= AellA typedt HissHE TRE A2 Python 233
Elo|A] setter 3<% MeasureType #e] sh2 AHgd 4 Q=
YA getter= 3 MeasureType #olAl 2lEldith= et

collection_measure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG

Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET

Ol EX 5]

aofws P09 Zolg ke BHe) 4% o) TPt 9k
o

= us
o 7R gt auE 24 f3e PRI

Typeless /
MeasureType.TYPELESS
geo_type Point Azt B9 Zg- o] 77} ks B o] Bro o) A
MultiPoint He Agsxt LBAES] {3S AT ol ge] 55 4
LineString ole} YHds 7ok Futh
MultiLineString
Polygon
MuTtiPolygon
has_coordinate system boolean Azt Bro] 7 o] AL o] Bort AFAIE Zh=A] ofF-
£ Aok
coordinate_system string A Bt Beo] 734 o] 77} = EAo] o] o] HuAE A

olghLy.
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FL 22 RE FE Y (A5,
54 olF

dlole] 73

=4 A9

custom_storage_type

Unknown /
MeasureType.UNKNOWN
String /
MeasureType.STRING
Integer /
MeasureType.INTEGER
Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP
List / MeasureType.LIST

o] 77} e B2 Fr] A A 3xEs Aofslke Hl AR
a4 Qoh= Aol custom_storage®t fFARIUSE O e
Python Z~=IHEollA] setter =% StorageType ko] shi= 2
2 4 = WA getter= & StorageType FlollA ElElgich

=
AUk

o

custom_list_storage_type

String
/ MeasureType.STRING
Integer /

MeasureType.INTEGER
Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP

55 el B o] 7Pt e 540] 71 #el A 8-S A

ek,

custom_list_depth

integer

5% geo] 439 of 7P} gk B4e el ot Ak

asimport 4

Analytic Server A2~5 AR831H HDFS(Hadoop Distributed File System)oll4] 2EHS A8iE 4= 5y

=
OflA|

node = stream.create("asimport", "My node")

node.setPropertyValue("data_source", "Drugln")

E43. asimport 4.

asimport SA4]

Alolel 4

=4 A9

data_source

string

dlole] el ofE

cognosimport = §4

@

IBM Cognos Bl &2~ x5

Cognos BI HloJEH[o]20l| 4] HloJElE 7P U

A9 A 2x v B 83



A

node = stream.create("cognosimport", "My node")

node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/serviet/dispatch",

True’ IIII’ IIII’ IIII])

node.setPropertyValue("cognos_package name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].[BRANCH CODE]", "[GreatOutdoors]

. [BRANCH] . [COUNTRY_CODE]"])

3£ 44. cognosimport =&

EX
=

oL

cognosimport = E4

Flolel 74

4 A9

mode

Data
Report

Cognos BI HIO[H(7E4h) E= HIAE 71EA
ARE AP

cognos_connection

["string" flag, "string",
"string" ,"string"|

Cognos AJHol| Tfgh A AREAR}e] x5k 55

E4YUT F2le theat A5

["Cognos_server_URL", Togin_mode,

"namespace", "username", "password"]

o714,

Cognos_server URL A2~E XE8= Cognos 4]

] URLYUL

Togin mode: & 271218 ARRSR=A] RS %

AlglH, true = falseQUth trued! 7% o

& gert & AdAEojol ok

namespacerx AHol] Z123R= H] ARSSh= Hotk

AF AFAE AP

username 2 password= Cognos AlHo] £71.&

shk= ] ARgshE AUt

Togin_mode thil, o =X ARSSE = QdFY

o

« anonymousMode. ¢l: ['Cognos_server url',
"anonymousMode', "namespace",

"username", "password"]

+ credentialMode. o: ['Cognos_server url',
'credentialMode', "namespace",

"username", "password"]

 storedCredentialMode. o
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

o}7]4 stored_credential_name2 E]EA|EE]
o 9= Cognos A1 AR o]FdUc}.

cognos_package_name

string

tloje] RBAES 7423l 3= Cognos 7149
7d=2e} o]Fdunt. <l

/Public Folders/GOSALES

e s Faghick
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FE44. cognosimport =& 54

cognosimport k= E4J

HTe] 74

=4 A

cognos_items

["field","field", ... ,"field"]

7HE sht o] tloly QEAES] o]E{iurh
field®] B2
[namespace).[query_subject).[query_item] U T}

cognos_filters field HoJElE 7PH27] Aol 283 sh o)de] HE9]
olEUYT
cognos_data_parameters list glolejel] tigt TEIZE w40l gl o)F Y
AL dEE = [, tde A2 gEE RS
A LS tiEsE FEU
@4
[["paramli", "value"],...,["paramN", "value"]]
cognos_report_directory field RIAME 7P ZH B 9)71%]2] Cognos 4=
Ayt 4
/Public Folders/GOSALES
o sPARE faguch
cognos_report_name field 7PE Harxe] Bad 9] el e =8t o

YU,

cognos_report_parameters

list

BHaA 2] gijiuet olF H gk e tids s
Fal, O 2 g3 e A 2AEe o)
252 FHuyth

A
[["paraml", "value"],...,|"paramN", "value"])
databasenode M
— HloJEo]~ =5 ARESPH ODBC(Open Database Connectivity)ES ARE3}4] Microsoft SQL Server,
(%\J DB2, Oracle %! 71648 T35 Tt The spIAI=E Holes 7pAe 4 sleuick
e

<A

import modeler.api

stream = modeler.script.stream()

nnode = stream.create("database", "My node")

node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")

node.setPropertyValue("datasource", "Drugln db")

node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")

node.setPropertyValue("tablename", ".Drugln")

A9 A arsrxe EY 85




3£ 45. databasenode E7.

databasenode 5% do]e] 23 54 Ay
mode Table s} g2t Alels ARgSte] djolEfro)z HolEol A
Query At Tables AdHs}al, SQLS AMgsie] Adels ]
oleol~E FEslH QueryE AHSHIAIL.
datasource string glolefo] X ool FuE Fx).
username string dlojEo]~ A MFEARK oK) M= =)
password string
credential string IBM SPSS Collaboration and Deployment Services
o A Alel ARe] o2t} o]AS username
9 password 54 thil AREE 4 syt A9 A
Hol AR} o]F Y H[IWS = d|o]Euo]zol] HA)
25p7] 9f3l B Ak ARgAL ofF 9 uidH s e} wix|s)
oF grt.
use_credential True = FalseZ AASHIA L.
epassword string HEHSE 2T Ee| sfeadshs 219 tijke= <l
I vEHEE AT,
AAFE AR |56 Hox2] [Q1FHE HIdHE A
o W8-S FEIHIAIL. o] B A3 ol ¢7] A
Eaisi=d
tabTename string A2t EHolEY o]FdUTh
strip_spaces None A A 2 S| s 2SR FAYUCH
Left
Right
Both
use_quotes AsNeeded HAzPt dlofelol~2 HEE wi(dlE B Yot
Always TEAE ks A9 HolE 9 & oS U8R
Never TR FEA ARE APHAIL.
query string AEste Aol tigk SQL Z=5 A Th

Zar: Hofeilol: olE(datasource 4o ko] SRt oPdel B, whE( R FolRkE 3
WES TP 4%, ofF AL AP s e 20eE 34 AT 5 etk
o "{\"db2v9.7.6 Tinux\"}" Z= "{\"TDATA 131\"}". T3} Tt} oollxe} o] &4 datasource &

-

—

£ A

A GRS FuSaE FoAAL. "{\"SQL Server\",spssuser,abcd1234,false}".

Zar: dloJEle] 2~ o)E(datasource 43 &0l F

S ¥3Fl= 7%~ datasource, username, password

of that /I8 B4 ol ths &4 o= shte] datasource S4& ARSE = SFUTH
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™

3£ 46. databasenode % - HJoJE] £~ EX.

databasenode 54 dole] 43 =4 A9

datasource string g2l
[database_name,username,password[,true |
false]]

npREt ma dEsle widse} @A A ¢
AYPUt} o]Ao] trueZ AW vdHEE ALE-

dloly s Wisle 9ols o] F4e ARSHIAL. Ty AREAE ofFolu HITERE vZds

745 username Ti= password B4 AREE 4 QJ5UT

rr

datacollectionimportnode S

Data Collection H|oJE] 7} Q7] =B AR XA} A|ZEo] ARESH= Data Collection H|oJE] 2dS 7]uk

©% Bz} olsE 7P gLt o] =2 A§5tIH Daw Collection HeolE] elolse]} sl
oF e,

of| A

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")

node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source type", "File")
node.setPropertyValue("casedata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("import_system_variables", "Common")

node.setPropertyValue("import multi_response", "MultipleFlags")

£ 47. datacollectionimportnode S-3.

Y

d A

metadata_name string MDSC9] ol&dYt). E4%} DimensionsMDDE 3%
Data Collection HEH|oJE] 415 AR&3loF &S
AFCE 7l 75 ghe theat Rt
mrADODsc

mrI2dDsc

mrLogDsc

datacollectionimportnode S4J dloje] #3

4

AN

mrQdiDrsDsc

mrQvDsc

mrSampleReportingMDSC

mrSavDsc

mrSCDsc

mrScriptMDSC

EZZk none MDSC7} 18-S AT

metadata_file string wEeldo|El7F AAEE Hlele] o=

A9 A asre 4 87



£ 47. datacollectionimportnode 55 (A<5).

datacollectionimportnode £4 tlole] F3 544 A4
casedata_name string CDSCY ol2ut). 73t ghe thea 25Ut
mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc?2
mrSavDsc
mrScDSC
mrXm1Dsc
E<=Zk noned CDSC7} 918-2 FAIRRITH
casedata_source_type Unknown CDSC9] 42~ f3& AT
File
Folder
ubL
DSN
casedata_file string casedata_source_type©| Filed uj, #Ao]2~ do]E]
5 23k s ARk
casedata_folder string casedata_source_type©| Folderd W, #|o]2~ o]
ElE sk EU1E AERTh
casedata_udl_string string casedata_source_type©] UDLY ], Ao]2 HloJg]
& Zsh= vlofe] 4ol tidk OLD-DB 42 #4
g5 AP
casedata_dsn_string string casedata_source typeO] DSNY o, dloJE] 4x29]
ODBC 94 #A9S AT
casedata_project string Data Collection H|C]JEJH|o|2~0l|A Ao HoJEE €]
& o] ZRAES] 0|55 JET F UFUTh e =
£ Aol dlolE] FEe] g o] AL Fjolojof
T
version_import_mode Al o] AEju= WS Aolhuch
Latest
Specify
specific_version string version_import_mode”} Specifyd w, 7F4-& o]
2~ dloJEle] WHe @ﬂ@"%‘i
use_language string EA doje] HlolE 2 Aot
Tanguage string use_]anguageﬂ true$! 78‘—‘%, 7]-Z4_?J] Aol ARgst
Aol I=E Z@@’WZ} Aol = Aol HlofEo
A AR 7V’ = T shuedo Ptk
use_context string 54 HExES 7V=]9]’°]E ShEA] RS Aot
He~Ex 3E A Aus vsA7lE o AR
T
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E47. datacollectionimportnode 545 (Al<5).

datacollectionimportnode £4J dlo]g] f33 E4 Ay

context string use_context”} true?] 7%, 71AE HElAEZS Ao
Aot HEAEE o] HolEolA AR 7Vt A
H-E F shiojof qhich

use_label type string 54 139 dlolEs 7ol SR oARE ARt
S=

Tabel type string use_Tlabel typeo] true?] 4%, 7F4& #ols #3

< Ao} dlols F38L Aol wlofEollA AR
7Fed 18 < sholok Tt

user_id string B ZTRIe] Hadk Hloleulo] o] A, dld o]
B ool d|2sr] 47 ARBA} IDS} HIDHS S A

Y 5 Yo

password string

import_system variables Common 7 AlzEl Mg g
None
ATl

import_codes_variables flag

import_sourcefile_variables flag

import_multi_response MultipleFTlags
Single

excelimportnode 4

— Excel 7FX27] =5+ Microsoft ExcelZ2HE] xlsx Y 2|02 HoleE 7F4-31tl. ODBC EHlolE
@F;p} Ao Wask e,
_’r_.-'

o

#To use a named range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")
node.setPropertyValue("use _named range", True)
node.setPropertyValue("named range", "DRUG")
node.setPropertyValue("read field names", True)

#To use an explicit range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel_file_type", "Excel2007")
node.setPropertyValue("full filename", "C:/drug.x1sx")
node.setPropertyValue("worksheet _mode", "Name")
node.setPropertyValue("worksheet name", "Drug")
node.setPropertyValue("explicit_range start", "Al")
node.setPropertyValue("explicit_range_end", "F300")



£ 48. excelimportnode 57

excelimportnode S4] dloJg] f33 £ Ay
excel _file_type Excel2007
full_filename string RS I3 gkg 3 o]V
use_named_range Boolean ol AAHHE WY AR AFEJUT Trued 7%
named_range 5430 918 WS AHsh= © AR
shH, THE YIFAES) tlolE] H9] A4S FAEUTH
named_range string
worksheet_mode Index INET} A =E olF0 7 HolFlER] oRE |
Name Aot
worksheet_index integer 2l YIAEL] AFEA, A WA YIANES] S0
o= AL F WAlE 190 YUk
worksheet_name string o HFAES] o]FUYTH
data_range_mode FirstNonBlank HOE FhlHsl= WS Ay
ExpTicitRange
blank_rows StopReading data_range_mode’} FirstNonBlank® w), &3 Y&

ReturnBlankRows

Hefohe whEe AHFhIC

explicit_range_start string data_range mode’} ExplicitRange¥ W], 212 W<
o] AP APgPTh

explicit_range_end string

read_field names Boolean A=l W9l A WA e F=() ooz ARESH

A oFE AT

fixedfilenode M

178 9 kEE w4 Fe HXE 9, S 9] Ju7) FRER] B FUT AR6IM AlEks 1gd

Utk

A

i Zole] mjyzRE] EolEE JHEUTh Tl A4

node = stream.create("fixedfile", "My node")
node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
node.setPropertyValue("record len", 32)
node.setPropertyValue("skip_header", 1)
node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 71, ["BP", 9, 10], ["Cholesterol",

12, 22], ["Na", 24, 25], ["K", 27, 27], ["Drug", 29, 32]1)

node.setPropertyValue("decimal_symbol", "Period")
node.setPropertyValue("1ines_to_scan", 30)

£ 49. fixedfilenode 7.

T fAl dlelert Al 34 Be Ao e

fixedfilenode &4 dlole] f3 E4 Ay
record_len number 2z g = A4 5 AT
Tine_oriented flag 7} HlF=e] EolM & vHY] A AuguUTh
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F49. fixedfilenode £% (AZ5).

fixedfilenode =4

Flole] 74

=4 A9

decimal_symbo1 Default HofE] Aok AR A FHEARS] FrE Ut
Comma
Period
skip_header number A WA gl=Z=o] AlRelA FAIE 8 5 2k
Q #e PAE 98 ST
auto_recognize datetime flag @ B ARTO] A2 HoJEjo|A AFE o R APEE=
A oiE A
Tines_to_scan number
fields list T8 SA4UdUH
full_filename string OAEE x3sl, ¢ Fge] A olgyduch
strip_spaces None 7HE ) 2Akde] AF 8 S s AU
Left
Right
Both
invalid_char_mode Discard dole] Yellr FaskA] ek wAHE, 0 T A
Replace QI EAHA| Y= BE EADE AU f&
SH ¥ A A & w2 715 E vlgyoh
invalid_char_replacement string
use_custom_values flag
custom_storage Unknown
String
Integer
Real
Time
Date
Timestamp

A9 A arsxe EY 9]




H49. fixedfilenode % (H)<).

fixedfilenode =4

Fole] 74

custom_date_format

"DDMMYY"
"MMDDYY"

"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
“DD.MM. YY"
"DD.MM.YYYY"
“MM.DD. YY"
“MM.DD.YYYY"
"DD.MON. YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
“MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
“DD/MON/YYYY"
MON YYYY

g Q YYYY

ww WK YYYY

o] 5432 A8 Aol A Fxto] A el A
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F49. fixedfilenode £% (AZ5).
fixedfilenode 5% dlefe] #3 =44 A4

custom_time_format "HHMMSS" o] B4 ARAF Aol AP F3Io] APgE Zd-felltt A
" HHMM" £ dFUh

MMSS*"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
" (H)H: (M)M"

" (M)M: (5)S"
"HH.MM.SS"
"HH.MM"

"M, SS"

"(H)H. (MM (5)S"
"(H)H. (M)
JOIROR:
custom_decimal_symbol field AREALE o] AP FRto]l AAE Aol 28 Ths
k.

encoding StreamDefault H2E QI WS AU

SystemDefault
"UTF-8"

gsdata_import == M

W e 7 HOlElE HolE] vlold AMOR AP end Xel B A2k wTE ASSHIALL.

I 50. gsdata_import == 54

gsdata_import = =4 dlofe] 73 54 A4

full_filename string Zo3lEE shp HYS HA ARE YA

map_service_URL string AE W AMulx URLS JEsHIAL.

map_name string map_service URLE ARESHE 790l ARSEUTE oA
& 9 Az HA FE EU 25 2RV

sasimportnode §4

SAS 7}27] === SAS H°o[HE IBM SPSS ModelerZ 7F4-gUth.

:
\o
9

A9 A s wE



A

node = stream.create("sasimpor
node.setPropertyValue("format"

t" s "My nOde")
, "Windows")

node.setPropertyValue("full _filename", "C:/data/retail.sas7bdat")

node.setPropertyValue("member
node.setPropertyValue("read fo

name", "Test")
rmats", False)

node.setPropertyValue("full format filename", "Test")

node.setPropertyValue("import

=
EA

3£ 51. sasimportnode =

names", True)

sasimportnode 5]

dlole] %4

S RCk:

format Windows 7S wHde| 4.
UNIX
Transport
SAS7
SAS8
SAS9
full_filename string ARE 23l ARSAPE ek g B ol&
Huck
member_name string A4 SAS #F oA e WHE AN
2.
read_formats flag A g2 gldellA] dlole] l(el: Mg HolE)S
LT
full_format_filename string

import_names

NamesAndLabels
LabeTsasNames

A o W olE B Elol
AR,

WBS o P A

simgennode §4

off thel AlElold

(e} (e}
& WHE

A, ozt

AEYod A === AR AR

S =
A =5

A3Ys

4 o) FE-

L

IE ALLSNE ATPRREE T V)& S8 HolE
I AFo = AMg3le] AlEHoldE tloElE AElE
ol E3}aAo]

ZAE AN el mRle] Ane B

F 52. simgennode E7.

simgennode €43 tofe] 3 54 A9

fields xSk 54 oAl =

correlations T3 EA oA =z

keep_min_max_setting boolean

refit_correlations boolean

max_cases integer H2gke 1000, Holgke 2,147,483,647
create_iteration_field boolean

iteration_field_name string

replicate_results boolean
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3 52. simgennode 57 (A<).

simgennode S*J doje] 3 Ex A
random_seed integer

parameter_xml string B Xmls EAERE 2RIgoh
Zic of

AL The TEE = FxslE &F BAUUT

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, Tocked, [distribution3], min, max]

1)

distributione 2/ o|E3} 11 Hof <.
o whHo=Z Aoy

[distributionname, [[parl], [par2], [par3]]]

rlr

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min","1"],["max","2"]11], "", ""11)

g 20, ol EXEE %

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)

mlm
r{r

&4 ofgst el B EYSH= BTe] ML, 2

T WEE AN SEE PSR The 2THES AST & U4

simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],

["prob", 0.7]111, "*, ""11)

Za1: distributiong ZH AAS 4 JG5ULE fields B4 ZAgksle] ARghL)

% probe] F BAE ZRAIT ofFS Hagls) Aige A OB, oS

e ot 2E 153 B {35 BoFUth. dAGEe] NegativeBinomialFailures 2
al E5

NegativeBinomialTri FollA thresh2A] YEgS Fasir L.

stream = modeler.script.stream()
simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2","2"11], "", ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ,"1"],["prob","1"111, "", ""]

categorical_dist = ["Field3", "String", False, ["Categorical", [["A",0.3],["B",0.5],["C",0.2]1], "", ""]

d.lce_d.lst = [IIF.ie'|d4ll’ IIRea'lll’ Fa'lse’ [IID.icell’ [[Illll ,"0.5"],["2","0.5"]]], IIII’ IIII]

exponential_dist = ["Field5", "Real", False, ["Exponential", [["scale","1"]11, "", ""]

fixed_dist = ["Field6", "Real", False, ["Fixed", [["value","1" 111, "", ""]

gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale","1"],["shape"," 1"111, "", ""]

lognormal_dist = ["Field8", "Real", False, ["Lognormal", [["a","1"],["b","1" 111, "", ""]

negbinomialfailures_dist = ["Field9", "Real", False, ["NegativeBinomialFailures",[["prob","0.5"],["thresh","1"]1], "", ""]
negbinomialtrial_dist = ["Field10", "Real", False, ["NegativeBinomialTrials",[["prob","0.2"],["thresh","1"]]1], "", ""]
normal_dist = ["Fieldll", "Real", False, ["Normal", [["mean","1"] ,["stddev","2"111, "", ""]

poisson_dist = ["Fieldl2", "Real", False, ["Poisson", [["mean","1"]]], "", ""]

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN","[1,3]"] ,["END","[2,4]"],["PROB","[[0.5],[0.5]1"]1], "", ""]
triangular_dist = ["Field14", "Real", False, ["Triangular", [["min","0"],["max","1"],["mode","1"]11], "", ""]

uniform dist = ["Fieldl5", "Real", False, ["Uniform", [["min","1"],["max","2"]11, "", ""]

We.lbu'l'l_d.lst = [IIF.ie'ldlﬁll’ IIRea'lll’ Fa'lse’ [Ilwe.ibu'l'lll’ [[Ilall’lloll]’[Ilbll’lll II]’[IICII’IIIII]]]’ IIII’ IIII]

simgennode.setPropertyValue("fields", [\
beta_dist, \

binomial_dist, \

categorical_dist, \

A9 A vE

E
54
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dice_dist, \

exponential _dist, \
fixed_dist, \
gamma_dist, \
Tognormal_dist, \
negbinomialfailures_dist, \
negbinomialtrial_dist, \
normal_dist, \
poisson_dist, \
range_dist, \
triangular_dist, \
uniform_dist, \
weibull_dist

1)

a2 of

o the T Zke TEshE €% Btk

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

1)

HBAGE 413} -1 Alo]e] Qole] 49 5 LIk sk Mo ABATE AW 5 Uk BE
e 95 AR 002 BRI, omd BEE o 4 gl A9 WAL e Ana
o[yl AgElofol s WL E2ER BAUL & 4 gis U} e v koS AW 5 ol

ek

statisticsimportnode 54

o IBM SPSS Statistics 3} =5+ IBM SPSS Statistics”} AFESR= .sav T AW olle} U3 §
( ) A& AH83HE IBM SPSS Modelerol] #l 7jA) HAzRe] dolelg gl
m_\__._-’

o] xto] EAo 313 #|o]x]9] [statisticsimportnode 41 JPlIA =g}

tmiimport & 54

(D IBM Cognos TM1 42~ %5 Cognos TMI Ho|EH]o]20llA E|o]E1S 7E--8L T},

HE 53, tmlimport == E4.

tmlimport == E4 dlofe] 5 44

pm_host string a1 v 16.0 2 17.0009F i

S2E ol&YUh of: TM1_import.setPropertyValue
("pm_host", 'http://9.191.86.82:9510/pmhub/pm")
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HE 53 tmlimport == 54 (A<).
tmlimport == 54 dlefe] 3 54 Ay
tml_connection ["field","field", ... ,"field"] | 33 WA 16.0 2 17.009F s

ol B2

TM1 Aol tigh A AlFAR o] 33k 55 E4YUT:
gg2ale [ "TM1_Server_Name","tml_ username","tml_
password"] Utk

o: TM1_import.setPropertyValue("tml_connection",

['PTanning Sample', "admin", "apple"])

admin_host string 23: WA 17.1 olFolnt s
REST API®] 3XE o]Zd| tjgk URLYIUL
server_name string z;:}-:‘-l: H—];ﬁ 171 O]_—‘T_oﬂ]ﬂ_ 6_H1;o]_

ElD)

Ly i

admin_hostellA] TM1 AHe] ol=<9hc}

selected_view

[nf'l-eldu ”field”]

AdeEl TV 572) APRARgH SPSSE Blofels: 7hag 7
B usle olgo] TPE = E4YUL el
TM1_import.setPropertyValue("selected view",
['plan_BudgetPlan', 'Goal Input'])

userinputnode S5

AMEAL Y kB ATEXERE] B 7)E dolEE wEsle] 34 HloEE ek 41 WHES Al
TPULE oAl dE B9 mdFS 9% A4 dHoE AES AT o) {EFuch
of| )
node = stream.create("userinput", "My node")
node.setPropertyValue("names", ["testl", "test2"])
node.setKeyedPropertyValue("data", "testl", "2, 4, 8")
node.setKeyedPropertyValue("custom storage", "testl", "Integer")
node.setPropertyValue("data_mode", "Ordered")
3 54. userinputnode E75.
userinputnode 54 djoje] 53 Ex A
data
names o) el e olF BES A T fEs)H
= =3 £39Unh
custom storage Unknown geo) A 31e A e gElshs ) e &
String FEqUch
Integer
Real
Time
Date
Timestamp
A9 Harwe 8Y 97




3£ 54. userinputnode 545 (A1%5).

userinputnode £4J dlolg] f33 E4 Ay
data_mode Combined Combined7} XP8=R, 278 gt HavHd) @) 2
Ordered Z3l] gk gl==rF AREUTE AEE gEE 5

= ZF oo = 3k 9 339 25Ut Ordered
7} APEE 735 tlolHe s Ade] s & El
Feof ol 72 GellA shte] ke 7EdEUTh A4
e dEE e gt duE g 2 s e 2
FUth A2 HolH @k ke BE Fus GgeR
ATt

values Aa1: o] 542 yserinputnode.datas S5 #1715

glom o obg AMgI elolof Fr

variablefilenode M

T~ AT wEE Af BE HeE T, Z s} 948 4o BeS TR w
H e SYRNE HolEE eisUith of wE EW 14 o] ) Hxee} B4 Ao %
U= FEFRICE,

olt
ﬂ?
3
S
e b
o

<l

of| A

node = stream.create("variablefile", "My node")
node.setPropertyValue("full filename", "$CLEO_DEMOS/DRUGIn")
node.setPropertyValue("read_field_names", True)
node.setPropertyValue("delimit_other", True)
node.setPropertyValue("other", ",")
node.setPropertyValue("quotes_ 1", "Discard")
node.setPropertyValue("decimal_symbol", "Comma")
node.setPropertyValue("invalid_char _mode", "Replace")
node.setPropertyValue("invalid_char_replacement", "|")
node.setKeyedPropertyValue("use custom values", "Age", True)
node.setKeyedPropertyValue("direction", "Age", "Input")
node.setKeyedPropertyValue("type", "Age", "Range")
node.setKeyedPropertyValue("values", "Age", [1, 100])

3£ 55. variablefilenode £-%.

variablefilenode 5% d|o]e] 53 E4 Ao
skip_header number A WA elE=e] ARl FAIZ 24 5 AR
o

num_fields_auto flag ZF HFEe e e FE AsoE wEdLh {
FHee & vH] A2 Syl duth

num_fields number 7 o] e e 48 FoR g

delimit_space flag oA e AAE FE3] Sl ALk vAE
AT,

delimit_tab flag

delimit_new_Tline flag

delimit_non_printing flag
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3 55. variablefilenode 5%

variablefilenode 5% djo]e] 53 =] A
delimit_comma flag A7} e FEA|HEA 2EY Uigh A5 T
A1 749- delimit_otherE rrueZ A3l other
58S ARESI dRE FEAE AsHiAL
delimit_other flag 3} other EAS AL83le] AREAF Ao FEALE A
A & dFUok
other string delimit_other”} trued W A3k T-HEARE A4
et
decimal_symbol Default tlof8] AollA ARGk Ay FREAE AR
Comma
Period
multi_blank flag ofe) Flel AR T T BAE shie] TEAR
A2k
read_field names flag tlole] wHde} A WA P2 Y HeolER AR
ok
strip_spaces None 7P o EAge] A 9 5] 3e ARIgych
Left
Right
Both
invalid_char_mode Discard dlofg] PHollA] FasHA] & ExHE, 0 == dA)
Replace TP EAIHA = BE EAhE AASAY
5] ke BAE AME 3 B4 7152wl
invalid_char_replacement string
break_case_by newline flag & R & ] EAl=E AR
Tines_to_scan number A9 dlole f3e sl 2~ & 5 AHEY
o
auto_recognize_datetime flag A} = A71o] A2 HlolEoA AFEo g Adnj=
A AFE PG
quotes_1 Discard 7H87] Aol Areubaste] Ae] WS AT
PairAndDiscard
IncludeAsText
quotes_2 Discard 7127 Aol Smbgate] Az WHe AT
PairAndDiscard
IncludeAsText
full_filename string HAEE Zelo, oS Y] A olg Ut
use_custom_values flag
custom_storage Unknown
String
Integer
Real
Time
Date
Timestamp
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3£ 55. variablefilenode 5%

(A=)

variablefilenode £4]

doTel 3

54 A

custom_date_format

"DDMMYY"
"MMDDYY"

"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD. YY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

qQ YYYY

ww WK YYYY

AREAL o) A1 E3ke] A

et

o
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3 55. variablefilenode 54 (A1%5).

variablefilenode =4 dole] #3 544 A4
custom time format "HHMMSS " ARSAF Ao} 2 FRho] A 9elTt 28 7hs
"HHMM" et
""MMSS"
"HH:MM:SS"
"HH:MM"
""MM:SS*"
"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"
""MM.SS"
"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)s"
custom_decimal_symbol field AR8AL A AP FFto] AP Z3eolRt A8 Tk
=
encoding StreamDefault H-E Q1FY WS AT
SystemDefault
"UTF-8"
xmlimportnode 4
XML 422 =5 XML 329 Ho[EE 2Ed o= 7R3t T 9 e tEEge] Be adS
7HE  sULh AgEe g XML TEE ¢ 290 S AT 4 T
o)Al
node = stream.create("xmlimport", "My node")
node.setPropertyValue("full _filename", "c:/import/ebooks.xml")
node.setPropertyValue("records", "/author/name")
F 56. xmlimportnode 574
xm1importnode £4J dlole] 5 54 A4
read single o Hloly AR Ee tdEY E= XML
directory A4S ey
recurse flag A9 tdEDe] BE ABRCIEZRERE TR
XML 3& eA] s At
full_filename string (B9 7 XML o] ZA| A=t 9 olF
(read = single?] 7).
directory_name string () XML 32L& 74e gaEele] 14 4= 2
o]Z(read = directory$l A9,
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3 56. xmlimportnode 5% (A1<5).

xmlimportnode 54 dlole] 3 54 A4
full_schema_filename string XML 7%5 ¢}& XSD i DTD 31de] A 7

2 1 i) olERILIT) of g Aeiske A XML
ds TilelA] FEF ek

records string gz HAAZS Hod XPath EF2(d: /au-
thor/name) YUt 4 3jdof|A] o] 945 thd wjo}
o A H=2=rt AU
mode read B HolHE SAKTIERD, ZPgsiaiAl
specify 2.
fields 7S FEQA H )0 EEQUT B5e] 7+ &

Eo XPath F32UTH

dataviewimport 54

p Holg] 17] == dlojg] 17] HolElE IBM SPSS Modeler® 7E4-&U T}
&)

SI%)

stream = modeler.script.stream()

dvnode = stream.createAt("dataviewimport", "Data View", 96, 96)

dvnode.setPropertyValue("analytic_data_source",
["","/folder/adv", "LATEST"])
dvnode.setPropertyValue("table name", ["","com.ibm.spss.Table"])
dvnode.setPropertyValue("data_access plan",
["","DataAccessPlan"])

dvnode.setPropertyValue("optional attributes",
[["","NewDerivedAttribute"]])
dvnode.setPropertyValue("include xml", True)
dvnode.setPropertyValue("include xml_field", "xml _data")

F 57. dataviewimport 574

dataviewimport £4 dlole] 73 54 A
analytic_data_source string IBM SPSS Collaboration and Deployment Services

off A A dlofe] Br] eHAEL ARSE ¥
o] 7% 0|83} M oLyt
["Object ID","Full path", "Version"]
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£ 57. dataviewimport 4 (A<)

dataviewimport S4J

Flole] 74

Y

g

d A

J

table_name

string

4 Hog] ®r)ellA ARgshs dlolE ®7] EHoked
Yt} Hlols o2 A7 gsElelof it IBM
SPSS Collaboration and Deployment Services
Deployment Manager Z20]A1E A BOMS WHL]
3 UEW zip opfo]BollA default.bom w}UE
oA H7IAE E& F UFUT BOM<S IBM
Operational Decision Management(iLOG)%llA 714
= Ao] opH H7|A] olF & 2otk Tt
["Object ID", "Name"]

data_access_plan

string

4 dloly ®I|E I8 dolEE Algske dl AR
k= dlofE] W AZIIT
["Object ID","Name"]

optional_attributes

string

EEEE R EEETREY
[["ID1","Namel"], ["ID2", "Name2"]]

incTude_xml

boolean

XOM Q1§ HolelE zhs =) 23k 7%
True¥dytt. IBM Analytical Decision
Management iLOG =58 ARShk= 7497 ofld A
7 2AHLe falseuch ople AW e 371 2
7} F7FE sy

include_xml_field

string

include_xmlo] trueZ A= uj F7 o] o]
YUYtk
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M 10 & 22E= & L= BN

appendnode 4

— Bolpy] wuE Y AES AT ¥sd 725 2T oI’ ElolElE 2k dlofE AlE A3
{}B-:I- o fg3hch

L

A

node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match _case", True)
node.setPropertyValue("include fields from", "A11")
node.setPropertyValue("create tag field", True)
node.setPropertyValue("tag field name", "Append Flag")

F 58. appendnode 579

appendnode 4] dlofe] # =4 A
match_by Position 5= HlofE] AxnollA] o] QAL YUY HlolE] AES A
Name Feo] o]5& 7Hko R HlolH AEE ST F UF
=g
match_case flag g o]FL X uj tlaEA} THEES ARSS S Q%
Si=g
include_fields_from Main
A1l
create_tag_field flag
tag_field_name string
aggregatenode S
) T =uv oY gEse] AEsE QofHY BYE Y gEsE AR

A

node = stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node.setPropertyValue("contiguous", True)
node.setPropertyValue("keys", ["Drug"])
node.setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
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node.setPropertyValue("inc_record count", True)
node.setPropertyValue("count field", "index")
node.setPropertyValue("extension", "Aggregated ")
node.setPropertyValue("add as", "Prefix")

F59. aggregatenode 5.

aggregatenode £4J dlole] 4 54 A4
keys list S s 712 ARSE 5 e EuE Ui o

= 59 Sex 2 Regiono] 7] =2l ¢ N3} S 2t
= MY Fo] ZRZe] Al 24K A £3hel B
3 glF=E zsuUn)

contiguous flag Y 7] e 2 BEe EEeTt °]Eﬂ°ﬂ/‘1 A IF
SIS B0, Yol 7] duollx AEE) S ok A
o] g4 Aelsiire. 1A s Aol E 4

U
aggregates siBsh= frol THse oAb BER opel AulE 5
RES ke sk EAYUTH
aggregate_exprs AR uhy FE o2& ARl H) ARgSE IV £
g EAJQUTE o

aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX", "MAX('Na')")

extension string 5 53 o tigk AT e AvlERE At

Aok 1)

add_as Suffix
Prefix
inc_record_count flag 7z T dE=E sl Sl SEe Y dEs ¢
£ APgehs ool s AR
count_field string == Il FE9| o]5-S AT
allow_approximation Boolean Analytic ServerollA] F3to] =2 wj] oA BAIRS] &
ALE 189U
bin_count integer ARIA AR TR 5 AT
balancenode A
78 T HofE] AEe ExEs AHsing, dole NEVF AR 208 F5UTh #8 AAREe]
@ Z7lo] AE INg R HlRE ve-S A

A

node = stream.create("balance", "My node")
node.setPropertyValue("training_data_only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])
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F60. balancenode E4.

balancenode 543 dole] 43 =4 Ao

directives AAE 22 7o g e Zko] HIS-S #3 ] 9
g FzsiE SAUYTHoR 9 #x).

training_data_only flag S5 HlolERE w#&o] o]foldof e AP 2~
Edo] el ot gl AT o] 42 FAEY

o] = E4e The WAL AT

[[ number, string 1 \ [ number, string] \ ... [number, string ]].

A FAGo) (2SS AFE3)el) HANe] QWIERE A5 T ool ol2Fol B 1 \ W7} Aaslo]

oF FUITE " \ " BARE 8 ik BAoP|x sn, WEAL Sis)

]/\E
T =

X‘JE:] }_,“—:'_

ol AR = Shsuth

derive_stbnode EM

<A

node

Space-Time-Boxes =% 9%, HA%=

M3 Space-Time-BoxesE TEFHOE 2¥E & FUTH

Fom==N
e

= modeler.script.stream().createAt("derive_stb", "My node", 96, 96)

# Individual Records mode

node.
node.
.setPropertyValue("longitude field",
node.
.setPropertyValue("densities", ["STB_GH7 1HOUR",
node.
node.

node

node

"IndividualRecords")
"Latitude")

"Longitude")

"OccurredAt")
"STB_GH7_30MINS"])

setPropertyValue("mode",
setPropertyValue("latitude field",

setPropertyValue("timestamp field",

setPropertyValue("add_extension_as", "Prefix")
setPropertyValue("name_extension", "stb_")

# Hangouts mode

node.
node.
node.
.setPropertyValue("qualifying duration",
node.
node.

node

3£61.

setPropertyValue("mode", "Hangouts")
setPropertyValue("hangout density", "STB GH7 30MINS")
setPropertyValue("id_field", "Event")

"3OMINUTES")
setPropertyValue("min_events", 4)

setPropertyValue("qualifying pct", 65)

e EX]

Space-Time-Boxes =5 =74

, AREAQl =2 HE] Space-Time-BoxesE IMIAIZIUT) =3

derive_stbnode 54

Folel 73

X
ol

mode

IndividualRecords
Hangouts

latitude_field

field

longitude_field

field

timestamp_field

field

A 10 & HFE A



FE61. Space-Time-Boxes == 549 (#<)

derive_stbnode 54 dloJe] #3 54 A9
hangout_density density o eyt fES 1% ol disiie
densitiesE F}F3HIAIL.
densities [density,density,..., density] 7} Ae= BT STB_GH8_1DAY).
Zhar: fash Ul oigk Al AUt geohash)
739 GHIFE] GH157FAS] ghe AR 5 SlsUth Al
7k wkEe) A% TR e AT & ek
EVER
1YEAR
IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field field
qualifying_duration 1DAY EAFgelolof gk
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events integer A FE AT @2 29Utk
qualifying_pct integer 17} 1002] Hfell flofef Tt
add_extension_as Prefix
Suffix
name_extension string
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distincthode &M

I 2= A WA af AFES oy 2EgoR MY A WA dE=E skl thhl ZE
sl ZRo golg] ~EYoE Adsle] ZE gy AATRITH

IR

A

node = stream.create("distinct", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("fields", ["Age" "Sex"])
node.setPropertyValue("keys pre sorted", True)

HF62. distinctnode £4.

distinctnode 4 dlofe] #3 =4 A
mode Include A WA 2 HF=E dHole] 2 EsAY A
Discard A 3 HEES AHEsL ol BE FE dEsE Eﬂ

ole] 2EYoE AIY 5 Yo

grouping fields list HIZ=7} YA ARE sk H AMSSke B=E
EELBICE
Har: o] EAS IBM SPSS Modeler 165E] T ol A}
8311 ey,

composite value TERIE £ ol dlE ML

composite_values T3 &F olg o= FzFA L.

inc_record count flag 7 &% Eﬂ F=E s 2l FEEE oY dEs
£ AR ojRel Beg YT

count_field string g=E g B=o| o5 AU

sort_keys TEIE <% Zar: o] EALS IBM SPSS Modeler 165 O o) AF
54 e

default_ascending flag

Tow_distinct_key count flag 2k o] glFE gymE 7] Fuof AR o] a1 @
ezl SleS AgRhTh

keys_pre_sorted flag U3 7] #E s BE gEer) dHoN A 1
Sl =S ATt

disable_sql_generation flag

composite value £4¢] 4

composite_value SA& T} 2 LF RS ZsUoh

node.setKeyedPropertyValue("composite value", FIELD, FILLOPTION)
FILLOPTIONS| ke T3} 255Ut} [ FillType, Optionl, Option2, ...].

a:
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node.setKeyedPropertyValue("composite value", "Age", ["First"])
node.setKeyedPropertyValue("composite value", "Age", ["last"])
node.setKeyedPropertyValue("composite value", "Age", ["Total"])
node.setKeyedPropertyValue("composite value", "Age", ["Average"])

node.
node.
node.
node.
node.
node.

AR} o) e E obdel Q) Baste, oS ROz

node.
node.
node.
node.
node.
node
node.
node.

setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",

.setKeyedPropertyValue("composite value",

setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",

composite values £4¢] ¢

composite values 54L& T3 e o

setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",

H

"Age", ["Min"])

IIAgeII’ [IIMaXII])

"Date", ["Earliest"])
"Date", ["Latest"])
"Code", ["FirstAlpha"])
"Code", ["LastAlpha"])

271}, o

"Name", ["MostFrequent", "FirstRecord"])

"Date", ["LeastFrequent", "LastRecord"])

"Pending", ["IncludesValue", "T", "F"])

"Marital", ["FirstMatch", "Married", "Divorced", "Separated"])
"Code", ["Concatenate"])

"Code", ["Concatenate", "Space"])

"Code", ["Concatenate", "Comma"])

"Code", ["Concatenate", "UnderScore"])

node.setPropertyValue("composite values", [
[FIELD1, [FILLOPTION1]],
[FIELD2, [FILLOPTION2]],

1
o

node.setPropertyValue("composite values", [

1)

[IIAgeII, ["F]'Y‘St"]],

["Name", ["MostFrequent", "First"]],
["Pending", ["IncludesValue", "T"]],
["Marital", ["FirstMatch", "Married", "Divorced", "Separated"]],

["Code", ["Concatenate", "Comma"]]

mergenode A

U P AR E==

il Tl =9 dEsE A

y 9 B s=v U5 Y d=2=E F8l =

> ok i A dloly 9 it QISFEAIRE dlolE] 22 Adolgt Amdf wolH Wl 83T
A
node = stream.create("merge", "My node")

# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)
stream.link(salesdata, node)
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node.setPropertyValue("method", "Keys")
node.setPropertyValue("key fields", ["id"])
node.setPropertyValue("common_keys", True)
node.setPropertyValue("join", "PartialOuter")
node.setKeyedPropertyValue("outer_join_tag", "2", True)
node.setKeyedPropertyValue("outer join tag", "4", True)
node.setPropertyValue("single large_input", True)
node.setPropertyValue("single large input_tag", "2")
node.setPropertyValue("use existing sort _keys", True)
node.setPropertyValue("existing_sort keys", [["id", "Ascending"]])

I 63. mergenode S75.

mergenode 5-J dlele 3 =4 A4
method Order YZ=7T dlolg] 2ol Udsl= AR BEEA] o
Keys 5, st oo 7] HEE 7] druof] Y% #ks A=
Condition HFES Hshs v ARERA] oA, A" o] F
Rankedcondition S dl==r) PREEa) o 13 R RE 2% 1)
ofg] HESlA #E olF= 2 o] WA A=
AP L. =915t B S ARgSle] BE U miA|
& Yo AR Ee Ao Az FLhct
condition string method”} Conditiono & A= glm= 3 = A
)8 93t 271 ATk,
key fields list
common_keys flag
join Inner
FullQuter
PartialOuter
Anti
outer_join_tag.n flag o] B4 ne HolE AE Hel Tish Aol A
= B olg iUtk eje] ¢ TlofE AlETT Bk
g HEEE 7| ¢ JeEE vg BT olFe] A
2 FUth
single_large_input flag o2 el sl dujides & shiel ¢Ege 7t
£ AHsle] AL e AP
single_large_input_tag string E Elole] AlE A9 ths} Aol A S B ol
& AT 1 ElolE MBS sk A 4 9)
7] wiie]] o] EAd2] AMSHS outer_join_tag EAE
A o B4 o TheS Fashiale.
use_existing_sort_keys flag oldo] ojn] s} ool 7] FAeo o5 AHYEx=A] of

55 AR,

existing_sort_keys

[['string’, 'Ascending'] \ ['string",
'Descending']]

olw] HEe He 5l Fer} AhEs YIS AU

primary_dataset

string

method”} RankedconditionQ] 73-% WA 12} wo]
E] MES AElsirle. osle o A% Wie] 9%
o= FE 4 Utk

A 10 F FFe AP w= =24 111



I 63. mergenode 54 (A%).

mergenode 543 djole] 43 E4 A1)
add_tag_duplicate Boolean method”} Rankedcondition©]aL oJzle] YR A==

7%, 25 A7l g wolE AEsl e Heole)
A0) FUT oFS ZH= UF WSS TS Ho]

B 229 g 7k B & slrle] Al Sy

merge_condition string
ranking_expression string
Num_matches integer merge_condition % ranking_expressiong 7[HES

= 2jeg ulR) ek 2 1, 2o 100,

rfmaggregatenode S

EE AR &2 HloElE AfslaL viAYe R tE A, AR BRI <, sl ExAVde] i

RFM(Recency, Frequency, Monetary) 555 = =5 ARSsPA 12)9] 3|~ EXAA HoHE Fskar
2
— ds Ugdshs @Y dlog BE Yz ERAA dlolEE AR & IS

of| A

node = stream.create("rfmaggregate", "My node")
node.setPropertyValue("relative to", "Fixed")
node.setPropertyValue("reference_date", "2007-10-12")
node.setPropertyValue("id_field", "CardID")
node.setPropertyValue("date field", "Date")
node.setPropertyValue("value field", "Amount")
node.setPropertyValue("only recent transactions", True)
node.setPropertyValue("transaction_date_after", "2000-10-01")

I 64. rfimaggregatenode 7.

rfmaggregatenode 54 dole] 3 =4 Ao
relative_to Fixed EziAde] Hgo] AlEs @RE ARsHIAL.
Today

reference_date date relative toolA Fixed7} Al&i® 9otk AL 75
Ayt

contiguous flag Y3 IDE zk= BE #lF=r) vlojg] 2Ed| I
LRSS HlolelF AR ABE 75, o] A4S A
s A2t 7EsEUT

id_field field A 8l o) EdAS AEsl] ffsl A BEE
AN 2.

date_field field HEE ARkslr] S8l AR @ FEE AASHIA
[e]

value field field THEY S ARkel] 28l AR BEE AHSHIA
[e)

extension string ZF5 53 ool okt H5EAF == AEAE 2E)
AL
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I 64. rfmaggregatenode 579 (H<).

rfmaggregatenode S4J doje] §3 =4 Ao
add_as Suffix extensiono] FulEAl T HAFEAE FEAE AR
Prefix SHA L.

discard_low_value_records flag discard_records_below A% AR-S 7}s3kA 3Th

discard_records_below number RFM FAIE AkEE uf 1 olege] mE Eiald AF-
ARRE ARESHA] e HaakS APeAl e g 9]
= A9 value =9} IAP} SlsUHh

only_recent_transactions flag specify_transaction_date =
transaction_within_last 2% & shje] A& 7}
S5 Tk

specify_transaction_date flag

transaction_date after date specify transaction_date’} Al&iE 73-¢-olqt ARE- 7}

FEUT 1 ol Eer) Aol 23k Ed

AE ASHIA L.

transaction_within_last number transaction within_last7} AgiE 739wt AR 7}
U 1 o]F HFErt BAell 23R Fol]

Rl A ARteERES] 7RKY, T € = W)

o] {37 5 ASHIAI L.

r>~
g

transaction_scale Days transaction within _Tast7} A=i® 739wt ALE 7}
Weeks FHUSE 1 o]%e] Hlmert B4 23 IR 4
Months &Rl A2 ALeZRE]Y 7]2_]'(%_], + 9 B L\i)
Years o] 3 5 APsAl.
save_r2 flag zy o] gl T WA FH EfAe] IHE FARY
[B]=3
save r3 flag save_r27} AeiE Ae-ogt A8 73Tt Zh ol

ik Al WA X Edide] ERE FAIUTH

Rprocessnode 4

R % =5 ARESHA IBM(r) SPSS(r) Modeler 2~EZ0o|A ]
® OlEIE 7FAStA HlolHE AREA} ALfre] R 2THER ST
UFUTE HolElF 4 Foll 2Efes eelguth

A

node = stream.create("rprocess", "My node")

node.setPropertyValue("custom_name", "my node")

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")
next_day<-day + 1

modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert datetime", "POSIXct")
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I 65. Rprocessnode 575.

Rprocessnode 543 dole] 3 =4 Ao
syntax string
convert_flags StringsAndDoubles
LogicalValues
convert_datetime flag
convert_datetime_class POSIXct
POSIX1t
convert_missing flag
use_batch_size flag =] g AL8-S s T
batch size integer Zt wjxjel] 23 vlolE] #lE=e] 45 AN

samplenode 54

H vt fEEl] MEAES AUt S3) i, vigel(7rEs)) FES Edele] Ttk ®E
P frao] AUt #ESFES A5s Wetar #2418 sl ¥ dlasy EdRAA Jos Addlshks o)

8T+ ek

el

/* Create two Sample nodes to extract
different samples from the same data */

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Simple")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("sample_type", "First")
node.setPropertyValue("first_n", 500)

node = stream.create("sample", "My node")

node.setPropertyValue("method", "Complex")

node.setPropertyValue("stratify by", ["Sex", "Cholesterol"])

node.setPropertyValue("sample_units", "Proportions")

node.setPropertyValue("sample_size proportions", "Custom")

node.setPropertyValue("sizes proportions", [["M", "High", "Default"], ["M", "Normal", "Default"],
["F", "High", 0.3], ["F", "Normal", 0.3]])

I 66. samplenode 7.

samplenode 54 dlole] 73 54 A4
method Simple
Complex
mode Include AE 20e TStk dEss 23 e AT
Discard
sample_type First FEFZ PES AT
OnelInN
RandomPct
first_n integer e el SRR st 23R AU
.
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I 66. samplenode 57 (H<).

samplenode 54 dle]e] 734 54 Ay

one_in_n number BE oA dEeE 23 e AR

rand_pct number 23 == 2AE gFee] HHES AHSIAL.

use max_size flag maximum_size 2% ARE-S 7FssHAl ok

maximum_size integer tlofe] ~EfeA ¥3F = AAE 7P & BES A
HsPA L. o] SAE FBo|=& First 2 IncludeZ}
AR e ARESEA] EUTh

set_random_seed flag W Al AAE ARS ZFssAl ok

random_seed integer U A= ARSShe S AN L.

complex_sample_type Random

Systematic

sample_units Proportions
Counts
sample_size_proportions Fixed
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions number
fixed_counts integer
variable_proportions field
variable_counts field
use_min_stratum_size flag
minimum_stratum_size integer o] 248 Sample units=ProportionsZ AR&3le] =
S FES AR wRt 28Uk
use_max_stratum_size flag
maximum_stratum_size integer o] 2418 Sample units=ProportionsZ ARE3le] =
o FES AR wRt 28Uk
clusters field
stratify_by [fieldl ... fieldN]
specify_input_weight flag
input_weight field
new_output_weight string

sizes_proportions

[[string string value][string

string value]...]

sample_units=proportions
sample_size proportions=Custom$! 749, &3} ¥=
wel 7¥set 2 el tigh gk AT

default_proportion

number

sizes_counts

[[string string value][string

string value]...]

3} e @e 7hse 4 23l digk ¢k APt
AREHS sizes proportionse} FAREARE B1E Tl
HATE AP

default_count

number
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selecthode M

A wEE B4 278 7N wlofe] 2EYHN dase] ABAES MY wE AU 6 5
7> o}, B4 9 Aol B s AR 5 gtk

A

node = stream.create("select", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

F67. selectnode E7.

selectnode 54 dlefe] #3 4 A4

mode Include AglE gFes 23 T AHER] JHE AT
Discard

condition string e 3 == 2 gk =AUk

sorthode 4

‘Fir*}

A

node = stream.create("sort", "My node")

node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use existing keys", True)
node.setPropertyValue("existing_keys", [["Age", "Ascending"]])

F68. sortnode 7.

sortnode €4 dloje] 53 =59 A9

3

keys list Agslzie Pug AP o] AgsA ke 7
o 7)Ege AR

default_ascending flag 718 A" LE 2T

use_existing_keys flag oln] AHEE Lo 3t o) HH LAS AL8Sle] A
o] Hz23ls=A] ARE AU

existing_keys olw] Ae e gl Jevt Auu= Waks AR
keys 5747 L3 F44e ARSI
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streamingtimeseries 5§
2EEY AAY T FF AR AAY 22S pska 2solghic.

(&%) 2 o] 2Ee] AA@ EE SPSS Modelers] Wz 18014 © ol AMSEIX] S Yele] seel)
AR g AR

I 69. streamingtimeseries S5

£

streamingtimeseries 54 Zr = Ang

targets field 2E ANAIE k== AAo

2 st ol Y F=E oS
A2 ARgEle] Rt oPdel H3E
£ oSk ¥ 9 Uk 3=
© ARSSRA 5Tt A A
2 163 oA Tos =
WHEe BRI

Q

_.

IN

use_period e

use_estimation_period e

input_interval None
Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field field
period_start_value integer
num_days_per_week integer
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day integer
start_hour_of_day integer
timestamp_increments integer
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=

I 69. streamingtimeseries 554 (A1%5)

streamingtimeseries S4J

k

£

"
i1
ol

cyclic_increments

integer

cyclic_periods

list

output_interval

None
Year

Quarter
Month
Week
Day
Hour
Minute

Second

is_same_interval

Same
Notsame

cross_hour

o
e

aggregate_and_distribute

list

aggregate_default

Mean
Sum

Mode
Min

Max

distribute_default

Mean
Sum

group_default

Mean
Sum

Mode
Min

Max

missing_imput

Linear_interp
Series_mean

K_mean
K_median

Linear_trend

k_mean_param integer

method ExpertModeler
Exsmooth
Arima

expert_modeler_method ExpertModeler
Exsmooth
Arima

consider_seasonal flag

detect_outliers flag

expert_outlier_additive flag
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I 69. streamingtimeseries 5% (A1%)

streamingtimeseries S4J Zx £ A
expert_outlier_level shift flag
expert_outlier_innovational flag
expert_outlier_level shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_Tlocal_trend flag
expert_outlier_additive_patch flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
NaturalLog
arima_p integer
arima_d integer
arima_q integer
arima_sp integer
arima_sd integer
arima_sq integer
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant flag
tf_arima_p. fieldname integer Ho] =gt
tf_arima_d. fieldname integer o] vtk
tf_arima_q. fieldname integer o] g iUk
tf_arima_sp. fieldname integer Zo] FrEduck
tf_arima_sd. fieldname integer Zo] 83Utk
tf_arima_sq. fieldname integer Zo] FrEduck
tf_arima_delay. fieldname integer Zo] 83Ut
tf_arima_transformation_type. fieldname None Zo] g4~8duth.
SquareRoot
Naturallog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive flag
arima_outlier_Tevel shift flag

A 10 & EHEE A ==



I 69. streamingtimeseries 5% (A<5)

streamingtimeseries S4J Zx EX Ay

arima_outlier_innovational flag

arima_outlier_transient flag

arima_outlier_seasonal_additive flag

arima_outlier_Tocal_trend flag

arima_outlier_additive_patch flag

conf_limit_pct real

max_lags integer

events fields

continue flag

scoring_model only flag - B2 AAE ST Z7F
= Ello] ARSSTh

forecastperiods integer

extend_records_into_future e
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M 11 & ZE =loi L&

s

anonymizenode §4

@ 95wt g of o o gesEden TiSe $42 HE U deE STa

(ﬁ ) oIS ThE AMgAE T4 olgolt FIEk AIRARE e DA HoleE
= g3l A9 £8T & UgUk

<Al

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)
varfilenode.setPropertyValue("full filename", "$CLEO/DEMOS/DRUG1n")
node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)
node.setKeyedPropertyValue("enable_anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set random seed", "Age", True)
node.setKeyedPropertyValue("random seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", True)
node.setKeyedPropertyValue("use prefix", "Drug", True)
node.setKeyedPropertyValue("prefix", "Drug", "myprefix")

F 70. anonymizenode 57

AHg3ted

[e)
mEg

gal=s 5

anonymizenode 4 dlofe] f3d 4 A

enable_anonymize flag True® AAEH & ghe] 4 HslE DAsRUTkzl osst FolA
g Peof tis) YesE Aleish= 23 553h.

use_prefix flag TrueZ A ALgAL Ao HFEAPT A== 739 ARgZHth Hash

wase] o) 7k sl deo AH8sr g e oigk g vt

7] tis} Aol AMeAF Aol 9 e TEE Aulshes AT 558
1=

prefix string v i} dRte] BlAE ARl HFEARE d¥ske A9 5%
Utk tE Ao] APFEA] e 79 71 HFEARE 71EgdUTh

transformation Random Transform WAt °ﬂ o3l oslElE deof oigk Wgk w4yt WHEF

Fixed = 3AQIA] JBE ghHSRCH

set_random_seed flag TrueZ A= AHE A= ke AR5t (transformation= Random
o= AAE 9.

random_seed integer set_random_seed”} True= A8E o oZlo] WrE £18+ Al=yuch

scale number transformation®] Fixed® AdE wf, o] Zt& "H= 7|F"ol] ARESF
Utk Hoj % gk 15 100X RF HEESE Jsb] <l =Y
= Sy

translate number transformation®] Fixed= A= uj, 0] e gk ARSRUTH
Aol HgE gk BF 10000179 QHERLE Tl 25l =Y = A
U

121



autodataprepnode S

&

A

A5 dloE FRI(ADP) == Ho[EE A5k ARRS
< FTE AeATIaL, 2EE
AEt 4= 9z}

A% A
P ABHY WAOT wEE ARSJe] e
S, WAARIo] 24 B S9Isl] Hol WAL el AR we dshs

Al
A
&3S AL, As “%‘ k]

\:ﬂ 3T QZEZ 7]1@

FAARRS Adska

node = stream.create("autodataprep", "My node")
node.setPropertyValue("objective", "Balanced")

node.setPropertyValue("excluded fields",
node.setPropertyValue("prepare dates and times",
node.setPropertyValue("compute time until date",

"Filter")

True)
True)

node.setPropertyValue("reference date", "Today")

node.setPropertyValue("units_for_date durations",

I 71. autodataprepnode 53

o

"Automatic")

ek, B A R8T A A %

§

=3 s N

483 5 o

o= ARE 49U

autodataprepnode £ dlofe] 3 =4 A4
objective Balanced
Speed
Accuracy
Custom
custom_fields flag True?! 739 &4 o) ok &3, ¢ 2 7jel 2
S8 AT F e Falsed] A9 Q259§
P xEo] A S AR
target field o B F=E 2
inputs (field] ... fieldN) Feo| A ARg3hs Y EE oEHas FeUok
use_frequency flag
frequency_field field
use_weight flag
weight _field field
excluded_fields Filter
None
if_fields_do_not_match StopExecution
ClearAnalysis
prepare_dates_and_times flag 2E @ g ARE e tigh Al Alojdth
compute_time_until_date flag
reference_date Today
Fixed
fixed_date date
units_for _date durations Automatic
Fixed
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3 71. autodataprepnode 59 (A1)

autodataprepnode =*J o)ole] 43 =4 Ao
fixed_date_units Years
Months
Days
compute_time_until_time flag
reference_time CurrentTime
B Fixed
fixed_time time
units_for_time_durations Automatic
Fixed
fixed_date_units Hours
Minutes
Seconds
extract_year_ from_date flag
extract_month_from_date flag
extract_day from_date flag
extract_hour_from_time flag
extract_minute_from_time flag
extract_second_from_time flag
exclude_low_quality_inputs flag
exclude_too_many_missing flag
maximum_percentage_missing number
exclude_too_many_categories flag
maximum_number_categories number
exclude_if_Targe_category flag
maximum_percentage_category number
prepare_inputs_and_target flag
adjust_type_inputs flag
adjust_type_target flag
reorder_nominal_inputs flag
reorder_nominal_target flag
replace_outliers_inputs flag
replace_outliers_target flag
replace_missing_continuous_inputs |flag
replace_missing_continuous_target |flag
replace_missing_nominal_inputs flag
replace_missing_nominal_target flag
replace_missing_ordinal_inputs flag
replace_missing_ordinal_target flag
maximum_values_for_ordinal number
minimum_values_for_continuous number
outlier_cutoff_value number

Al A Ee JY ==




F 71. autodataprepnode 59 (A<5)

autodataprepnode %3 dlofe] 73 54 A4
outTier_method Replace
Delete
rescale_continuous_inputs flag
rescaling_method MinMax
ZScore
min_max_minimum number
min_max_maximum number
z_score_final_mean number
z_score_final_sd number
rescale_continuous_target flag
target_final_mean number
target_final_sd number
transform_select_input_fields flag
maximize_association_with_target flag
p_value_for_merging number
merge_ordinal_features flag
merge_nominal_features flag
minimum_cases_in_category number
bin_continuous_fields flag
p_value_for_binning number
perform_feature_selection flag
p_value_for_selection number
perform_feature_construction flag
transformed_target_name_extension |string
transformed_inputs_name_extension |string
constructed_features_root_name string
years_duration_ name_extension string
months_duration_ name_extension string
days_duration_ name_extension string
hours_duration_ name_extension string
minutes_duration_ name_extension string
seconds_duration_ name_extension string
year_cyclical_name_extension string
month_cyclical_name_extension string
day_cyclical_name_extension string
hour_cyclical_name_extension string
minute_cyclical_name_extension string
second_cyclical_name_extension string
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astimeintervalsnode 54
@

E 72. astimeintervalsnode 4

T2 AYek 34w AR BAS 98 Al AR BES ssleiR ARE 77 REE ARSI
Q. ZRE W, wE wsle] AR T3io] A,

astimeintervalsnode =4

Aol £

3

£
o

time_field

field

43
=

Q

= 521 5 Qg S PeE
& §3 7124 Tk A of
YEg ARG A AR A5 S0

ey

oo
2 0 e
T
ol o
¥ o ol
L2 A 1<

XN
2

ft
™~

dimensions

[field] field2 ... fieldn]

ofg It FE e 7o NE AAIES A4
sh= ol AR

fields_to_aggregate

[fieldl field2 ... fieldn]

ol Wt ARE Bee) FRIE WASRE sie) 9
B2 BT o] AumTe) XA e B
Bt wES R wlolseld BEYEUL,

I
i

binningnode A
@

%
Ut

S

node =

e = JFUH A ZEd

stream.create("binning", "My node")

node.setPropertyValue("fields", ["Na", "K"])
node.setPropertyValue("method", "Rank")
node.setPropertyValue("fixed width name extension", " binned")
node.setPropertyValue("fixed_width_add_as", "Suffix")
node.setPropertyValue("fixed bin_method", "Count")
node.setPropertyValue("fixed bin_count", 10)
node.setPropertyValue("fixed_bin_width", 3.5)
node.setPropertyValue("tilel0", True)

F 73. binningnode 579

ik 77 2%

T2} mEE S olge] 71E AE(GA M) BEY e TNk A BEY(E) Bug AEoE
AR ol Eol, W8 Y BES Baghlie] BARA Y 15 2 Al R "ee
Folls A 7o M) S ANT 5 UG

binningnode SAJ dloje] 3 Ex) Arg
fields [fieldl field2 ... fieldn] |W3E BF F2) ALFEHE ) Buygue) o=
e A B & stk
method Fixeduidth A BE AN Tie dery whel AMgShs
EqualCount HAYcH
Rank
SDev
Optimal

A 11 A EE A k= EA



3£ 73. binningnode =49 (A1%5)

binningnode 54 dle]e] 73 54 AY
rcalculate bins Always vt AldE wojc) F7to] AAkkE T Holelrt &
IfNecessary d Rl fXEEA] AR == o) 71 71T
9 FTHE BE Al Kl S7ES AT
fixed_width_name_extension string 71E AE _BINYUL
fixed_width_add_as Suffix P BE olge] BollFrEah == ARl
Prefix A FEEEA ARE AP 71 ke
income_BINYUY.
fixed_bin_method Width
Count
fixed_bin_count integer Al B=e] 1 HH] RE: e 5 sk
ARgslE s AT
fixed_bin_width real TR Un] ARRE 913 e e AUt
equal_count_name_ string 718 A= _TILEJTY.
extension
equal_count_add_as Suffix EF p-iEflTE ARSI AEE e o]Edl AR
Prefix she FAHEREAL e ATEAhE AT 7]
B A= _TILE Tsl7] No=, N2 255 Hs
Hu.
tiled flag Zyzto] Aol F 25%F E3she 47ie] B9l T
e AR
tiles flag S7he] sl b AT
tilel® flag 1070e] Aol 73 AT
tile20 flag 20709] 2029 TR AR
tilel00 flag 100709] WS s AT
use_custom_tile flag
custom_tile_name_extension string 712 A= _TILENIUT.
custom_tile_add_as Suffix
Prefix
custom_tile integer
equal_count_method RecordCount RecordCount WAt ZF 711l 53U H=Z= 4~
ValueSum = Ag&kAR, ValueSum MlAEE zF 71 A7
TY=EE YF=E AT
tied_values_method Next A9 gk tlo[ElE 4 7Rhe AP
Current
Random
rank_order Ascending o] EAoll= Ascending@FAGte] 12 A1) T
Descending Descending(Fagte] 12 ®AHE)e] ULt
rank_add_as Suffix o] FAL &9, e, IHE 9ol A8guh
Prefix
rank flag
rank_name_extension string 712 S R= _RANKUTE
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3£ 73. binningnode =49 (A1%5)
binningnode 54 dle]e] 73 54 AY
rank_fractional flag Al B gho] viaS Alo|x9] 715A] AR vhe
919} ST Aolze] 2F YT Bras]
£ 0 - 19 89loll Sofghct.
rank_fractional_name_ string 71 A= _F_RANKYJUTE
extension
rank_pct flag 7 2918 REY ghe Zhe HEE FE PR 100
© TR SHIE Beois 1 - 1009 gkl S
ot
rank_pct_name_extension string 718 A= _P_RANKYUT
sdev_name_extension string
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension string 718 A= _OPTIMALJUTE.
optimal_add_as Suffix
Prefix
optimal_supervisor field field TEE Qs Ade 2=v) deEw 7 gdeg Al
gl deqiuyck
optimal_merge_bins flag 22 Aol WSS zh= BE F3M0| U] I3 o3
T Rl SRS APt
optimal_small_bin_threshold integer
optimal_pre bin flag tlole] AES] ARl F1st AIgS AR
optimal_max_bins integer ARA F o] 1 AAE Tsh] 918k 3'ke A
A,
optimal_lower_end point Inclusive
Exclusive
optimal_first_bin Unbounded
Bounded
optimal_last_bin Unbounded
Bounded

derivenode M

@ Y === HofH ﬁ%
=53

, 23EN, A, =05

S S ool Tk
flo] Weg AT,

geere A BB AP, 4, S 9

A 11 A Fe 2y x= 127

JE.A
=



of 1

# Create and configure a Flag Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("new _name", "DrugX Flag")
node.setPropertyValue("result type", "Flag")
node.setPropertyValue("flag_true", "1")
node.setPropertyValue("flag _false", "0")
node.setPropertyValue("flag expr", "'Drug' == \"drugX\"")

# Create and configure a Conditional Derive field node

node = stream.create("derive", "My node")

node.setPropertyValue("result _type", "Conditional")
node.setPropertyValue("cond if cond", "@OFFSET(\"Age\", 1) = \"Age\"")
node.setPropertyValue("cond then_expr", "(@OFFSET(\"Age\", 1) = \"Age\" >< Q@INDEX")
node.setPropertyValue("cond else_expr", "\"Age\"")

o] Z2IHEE 3 (& Sol, oMEZL T o] X B Y FEE HEhlE= XPos Bl YPosZhRE 7 7
of A o] Al 7MUY ATREE 54 FallA sig #xE dellie X Bl Y HERFE A
233t E ARlele T k=S AT

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new name", "Location")
node.setPropertyValue("formula_expr", "['XPos', 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the
# specifics of the geospatial object
node.setPropertyValue("geo type", "Point")
node.setPropertyValue("has_coordinate system", True)
node.setPropertyValue("coordinate _system", "ETRS 1989 EPSG Arctic_zone 5-47")

3£ 74. derivenode 54

derivenode S dlole] 73 =4 A9

new_name string Al BEg ol

mode Single 9 == v 358 AP
Multiple

fields list 0% =S Adsl] 2 b ReoARt

AR

name_extension string Al BE o|F-E SI7F & ek

add_as Suffix FHAE L o] HTFEA }(/\ 2} Sel) B==
Prefix ArlEAKEDZ S
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3£ 74. derivenode E4 (A%5)

derivenode 54

RS

result_type Formula 24 e A BE oA fFRYUTL
Flag
Set
State
Count
Conditional
formula_expr string Al Be 7S 9l wofx] AlE] 93 %
AUk
flag_expr string
flag_true string
flag_false string
set_default string
set_value_cond string Foizl @ A =S AlFsh] el 7=
LR
state_on_val string A o] F52 uf A ZE9] s AR
U,
state off val string aA] o] 52 uf A Z=o] gk AR
Uk,
state_on_expression string
state_off_expression string
state_initial On Al o] ZF glIsd On == 0ffY] 2718k
off < ATt 7 z=xdo) S5 w) o] gl ¥
B 5 e
count_initial_val string
count_inc_condition string
count_inc_expression string
count_reset_condition string
cond_if _cond string
cond_then_expr string
cond_else_expr string

formula_measure_type

Range / MeasureType.RANGE
Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

B34S ARgsle] sliE deot ke 5%
AHofd 4= IFUTE Setter I ZAE
MeasureType &k sh= AgdE 4 U
Utk Getter= &+ MeasureType Zkell o
gk

i te 2
IID’ }‘g oL

i

ol
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3£ 74. derivenode 5% (A%5)

derivenode £4 defe] 3 54 A9

collection_measure Range / MeasureType.RANGE QOFE = (02] Zo)E ZK= 5E)9] 7% o]
Flag / MeasureType.FLAG EMe 7R 33 d3E =4 §32 AHolgh
Set / MeasureType.SET .
OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS

geo_type Point Aekgzt Puo] A o] 5L o] Peof 9
MultiPoint 3] BAEE AEERE QEAES] {35 Ao
LineString Utk ol el HE ol dAdEs vt
MultiLineString Aok o
Polygon
MultiPolygon

has_coordinate_system boolean RZE Bro] 79 o] EXL o] Fuy)

FAE ZE=A] ARE BTk
coordinate_system string Azt Bro] ¢ o] EAJo] o] Hro
FAE oAk
ensemblenode §4
= PIE B E oo Bd UZE Afsle] Ao g Bdox] A& e ZET AYG 5S d
ol FUTh
ol

S

# Create and configure an Ensemble node
# Use this node with the models in demos\streams\pm_ binaryclassifier.str

node = stream.create("ens

emble", "My node")

node.setPropertyValue("ensemble target field", "response")
node.setPropertyValue("filter_individual _model output", False)
node.setPropertyValue("flag ensemble method", "ConfidenceWeightedVoting")
node.setPropertyValue("flag voting tie selection", "HighestConfidence")

£ 75. ensemblenode E7.

ensemblenode 54 dlofe] 3 54 AY

ensemble target field field PAEANA AgsE e wdd Oigk &
#* =5 AFUCh

filter_individual_model output flag AE m2o] ~F101)] A} SAejolof &
A s AT
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3£ 75. ensemblenode % (A1<).

ensemblenode 54 dlefe] 3 54 A4
flag_ensemble method Voting e =315 sk Ul ARk W
ConfidenceWeightedVoting WS AU o] AR Add tpgo)
RawPropensityWeightedVoting U B=Q 7ol A8guth
AdjustedPropensityWeightedVoting
HighestConfidence
AverageRawPropensity
AverageAdjustedPropensity
set_ensemble_method Voting YEE =3E ek © ARk W
ConfidenceWeightedVoting HE AU o] e AddlE Tl
HighestConfidence HE Hel] Aolvt -8t
flag_voting_tie selection Random T3t WPl Melul= A9 S9tE aidst
HighestConfidence = B AR o] AAe AdE 1)
RawPropensity Zdol EH1 FEQI Zeollvt Aegurt.
AdjustedPropensity
set_voting_tie_selection Random T3t HPHo] Melsl= A9 59t aidst
HighestConfidence = S AR o] e HuE of
o] Wi Fegl ZolRt A8t
calculate_standard_error flag 3% Jorv) AL A, FF oAF ARt
o] 71EAoR Hiso] EX == 449
T AA gh Aol xfolE AtsiaL s
Fg%ko] drht Al WX PEAE &
A3k
fillernode §4
— e x == I S tAlekL A 33X& WERTE 8BLANK(@FIELD) 2> CLEM Z11& 7|Nko g
@ s A —’F_‘El{?\/]r/}. :EEE E%_%‘i‘ BETE giks -‘—f—zé #HoE A s Hed 4 stk A
—_ SEE FF 78 =59 A ARESt] 2SS diAldYTH

<l

node = stream.create("filler", "My node")
node.setPropertyValue("fields", ["Age"])
node.setPropertyValue("replace mode", "Always")
node.setPropertyValue("condition", "(\"Age\" > 60) and (\"Sex\" = \"M\"")
node.setPropertyValue("replace with", "\"old man\"")

I 76. fillernode 579

fillernode 4 djo]e] 83 =X A9
fields list Fol ZAk=o] Al wlole AES] =yt
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F76. fillernode 5% (A%

fillernode 54 djo]e] 83 Ex A9
replace mode Always HE & 3k Gk vEAY AE 24E 7]
Conditional Ho 2 vl 4 ?l%‘/]‘i]'.
Blank
Null
BlankAndNul1l
condition string
replace_with string
filternode §4
—, E] x5 Jug FEFEHDEIL, e o]gS WKL & oA e 42 J=g P
G
e
>

A

node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new_name", "Drug", "Chemical")
node.setKeyedPropertyValue("include", "Drug", False)

default_include 543 A8~ default_include 549 3& AHl= BE Fov) Aoz g T= A9
= FUTh ©@xms] A gl tigh 7]1EgkE IEPFULE olile 75 e R FE k& Uis) AdRllA
lesow Qe T3 OFE Tk A FERUL o Bo) 0 2aYEs dydca gEc:
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)

# Include these two fields in the Tist

for f in ["Age", "Sex"]:

node.setKeyedPropertyValue("include", f, True)

el wEE Age D Sex WEE AP THE RE et ARG, ol $U ~3-ES T A
el oo} Hhe Weg AT ARt
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the Tist
for f in ["BP", "Na"]:

node.setKeyedPropertyValue("include", f, True)

017/4\% Zeol| 7 7e] 71 =g FT1et F 4718 BS(Age, Sex, BP, Na)7} A2=A gyt 28] &
, default_include®] 3tS FalseZ AEAGIE Be vt AFs02 AEAER] k5Lt
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O o EE, ~THES ARSI e ZE =& i3} oA oA default_includeE TrueZ ¥
Zdshe 7T, A FRoA floll vEE 49 2ert E3EE il AU oilo] 4 wie ZH =
Tt} dAellA AotE zhal AFeh= o] o] 4aAkg-S ollishs Hl =%l 2 F st

£ 77. filternode =79

filternode 54 dole] 3 =4 Ay
default_include flag 78 ZEo] WuE=2 A w FEEER= 701K of
RE Apgeks TP} Qe ST
o] E4< Al e IEE AR I3 e
AlSlstle ekt B3] Al Wev) jRao
2 33 B AleEeA RS wEduY. 5
ol siiE ofel olg BxHINL.
include flag e 33 94 AAE g 7P e E-ZYUTH
new_name string
historynode §4
3 2ED ko= oA glEre Ao 9= HolEE xIsh= A 5 2R d)AER] kTE A
@ AL wlole] e w3k delelell 7hg A ARSIk Slake] wuE AP del AY w2 A
o] HolEE YT F YU

el

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fill with", "undef")

£ 78. historynode 5%

historynode £4 dlee] 75 54 A4

fields list 3~EglE g,

offset number Sl~Ey] de %} FEo= vRE glE=E@A @l

e oldehE AT

span number s FEole ol HFEES] 5 ANPITH

unavailable Discard S|~Ed o) = g7 AEs Sl tir) a8
Leave 22 AT o HE=I) e A oI Y
Fill FEHOlE AES] w2l JE)E EHUh

fill_with String SIEY] #hs AR glE dET ARE Fel
Number U 2AEE AT
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partitionnode 4

e k= e =8 sk, o] 2=

=

%

AER HlolelE ZdT

A
node = stream.create("partition", "My node")
node.setPropertyValue("create validation", True)

node.
node.
node.
node.
node.
node.

setPropertyValue("training_size", 33)
setPropertyValue("testing size", 33)
setPropertyValue("validation_size", 33)
setPropertyValue("set random_seed", True)
setPropertyValue("random_seed", 123)
setPropertyValue("value_mode", "System")

I 79. partitionnode 573

= 59 2o} oy, A, A5 S S1R e MR

=
partitionnode T}E}H T

dlelel 73 =4 A
new_name string ==rF ek aEld Fe9] ol
create_validation flag 715 Ede] 2gE=A] ARE AP
training_size integer 9 vlEdel g da=e] HAIE0-100)
testing size integer 77 Tl g glz=e] HAIE0-100)
validation_size integer e Teidel g dlzse] HAIEO-100)dUH. A
5 JEPdo] A=A dom FAEUH.
training_label string <4 eS| Fols
testing_label string 44 JEe] glolE.
validation_label string A% el doledut. A5 sEide] 2dHA o
o FAIEUL
value_mode System tlojjelld 2+ sfEldS Uehl] #fsll ARgshe ghe Al
SystemAndLabe]l At oS B0, T8 FRS AJ2HE AHE ] golB
Label Training =5 9 23R 1_TrainingS & Jepd &
AU
set_random_seed Boolean AR} AP deE A= ARE RS AT
random_seed integer AREAE A b AlE iU o] gkE ARSSHAR
set_random_seed”} TrueZ AA=|ojol ghich
enable_sql_generation Boolean SQL FAMES ALg3lo] HH=E sfEPde] APgah=A] o
= AT
unique_field HF=7} FARIORATE W 7Es3 whal o 2 miEjdel] A
BEES BAsh] ffsl ARgsle Y B=E A
t}. o] gk& AF83lE enable_sql_generation©] True
2 AdAgwofof ik
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reclassifynode §4

@&

AR ==

= 3 AlEe] W
Bl AEsishs ol f8hch

W Zhe ThE RO WERhTL ARRE BHS S WEE WA dol

oA
node = stream.create("reclassify", "My node")
node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace field", True)
node.setPropertyValue("field", "Drug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])
node.setPropertyValue("name_extension", "reclassified")
node.setPropertyValue("add as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)
node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")
node.setPropertyValue("pick list", ["BrandX", "Placebo", "Generic"])
£ 80. reclassifynode 5%
reclassifynode E4J dole] #3 544 A4y
mode Single Singled &+ o] HEE AYEFIUTE Multiple
Multiple & 3 Hol| B oWkl Fro] WgkS JlssH s
AL AR
replace_field flag
field string HY ZTof ARk ARSI
new_name string @ BEojARE ARGRRTE
fields [fieldl field2 ... fieldn] |TFF REoMT ARIHIT)
name_extension string o BeolARt AR
add_as Suffix te REoARt AR
Prefix
reclassify string e o) 7=sid 54,
use_default flag 7GRS ARSI L.
default string 71HZ7RS AATHIA L.
pick Tist [string string ... string] | AR} GER A o] BE-S 7R HlolEL] =
F U 555 AE 5 sk
reordernode S
4o oA AE ke PTE OenEdog FABRE U] AMShe 71 XS AR o] sMe
By HlolE, 5% 2 W Maly] 28 theld Aol Beo] Ball Fake FUTh o] e Wle BE
£ O Z Hol vher] 23l W tlolE] MES] sl 24 u) f-8shuc

A 11 Ee 2y



A

node = stream.create("reorder", "My node")
node.setPropertyValue("mode", "Custom")
node.setPropertyValue("sort_by", "Storage")
node.setPropertyValue("ascending", False)
node.setPropertyValue("start fields", ["Age", "Cholesterol"])
node.setPropertyValue("end fields", ["Drug"])

3£ 81. reordernode £4

reordernode £4J dlole] 43 =4 A9

mode Custom e AR AL AEA Ae| Mg AT
Auto 4 gkch.

sort_by Name
Type
Storage

ascending flag

start_fields [fieldl field? ... fieldn] | BE7} o8 "= Fo| ArdEuTh

end_fields [fieldl field2 ... fieldn] |A] B=7} o] = <of AIEYCH

reprojectnode A

SPSS Modeler Ulol|A] &4 2437] 83Xt g7, STP(Spatio-Temporal Prediction) ==, ™ A28} =
@ e 950l 598 AWAT AT M)A AT S A8AVE e Uele) Helee) 5

A8 WS ARG oS AGSHIAL.

m

Ei

H 82. reprojectnode 579

reprojectnode £4 dlofe] §- =4 A
reproject_fields [field] field2 ... fieldn] |AFFED BE =5 YA
reproject_type Streamdefault Fus AFgShe e AdsHiAle.
Specify
coordinate_system string oo H8d A9 olFYULt o
set reprojectnode.coordinate_system =
"WGS_1984 World Mercator"

restructurenode A

It oAl B0, payment typeClehs 0182 TS} credit, cash, debit] o] T 735, ZHto] A

Q T2Ee wEb WE e S0 Beg o E TE "eel goe A9k 4 Qs He 1gow Wl
A ool Ao| gk T 4 Y= Al o] A BE(credit, cash, debin?t AEU,

el
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node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include field_name", True)
node.setPropertyValue("value mode", "OtherFields")
node.setPropertyValue("value fields", ["Age", "BP"])

3£ 83. restructurenode 753

restructurenode 5% EREEE =] A
fields_from [category category
category]
all
include field name flag TERHEE FE oA TE o5& AR R
£ AT
value_mode OtherFields TS FEl e Aske RS #ARTH
Flags OtherFieldsE ARg3HH Akge Heg xAs)jof g
Urhel =), FlagsE ARSI 3k 4] S
St
value_fields list value_mode”} OtherFields¢l 7% IFUUch gt
o2 AR dus A

rfmanalysisnode §4

RFM(Recency, Frequency, Monetary) ¥4 =5 ARS3PH dupt 2o ARSAIZRE] Td=X(H
24), drit Al FiPdEA(RIE) 2 2 ERACA drig ARGER|(FEIEA)E FABI] Hare
aMe] F e IS AHos WA F UFUTH

of| A

node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied values method", "Next")
node.setPropertyValue("recalculate_bins", "IfNecessary")
node.setPropertyValue("recency thresholds", [1, 500, 800, 1500, 2000, 2500])

H 84. rfmanalysisnode 57

rfmanalysisnode £4 dole] #3 EA Ao

recency field FHA HuEE AsHAIL. oA W, ARSI
= e A dFuch

frequency field s HoB AHSHIAIL.

monetary field THEY HEE AL

recency_bins integer e A T 75 SR

recency_weight number HZ dlojgol e VSRE APRIAIL. 71Ege
10044t

frequency_bins integer A s FRte] 5 AsiAL.
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3£ 84.

rfimanalysisnode 5% (7<)

rfmanalysisnode £4J do]g] 73 £ A
frequency weight number Q= dlojelel] A8 7EAE APIMIAIL. 71Egk
1094k
monetary_bins integer A FuiE FRte] 5 ARSI L.
monetary_weight number Tl dloge] 82 VSAE AgsHiAL. 7'
e 19Utk
tied_values_method Next dAd Fk HloEE 7 AL
Current
recalculate_bins Always
IfNecessary
add_outliers flag recalculate_bins7} IfNecessary® AAw 790}
AR = dFUTE A= SikE 71T ool fxIgH
HIZE= sidE el FEA Ha F7E 919] HlE=
= FHar el F7RgUT
binned_field Recency
Frequency
Monetary
recency_thresholds value value recalculate_bins7} Always= AH 7d9-<lqt ALE-
ZFsTh A 711 3R 9 el dAlRkS Ast
AR, 3 TR A dARLS the TR sig ¢
AR AR & 01, [10 30 601 7 7He
TRE Aok, A WA RS 107 309] g 9
sigk QAIRkS Zhar = WA K AR 303 609
e
frequency_thresholds value value recalculate_bins7} Always2 A% 74-9olut A&
7Fs3Th
monetary_thresholds value value recalculate_bins”7} AlwaysZ AHE 790t AR
7Fsuch

settoflagnode §4

<Al

node

node.
node.
node.
node.
node.

138

AR,

=

= stream.create("settoflag", "My node")

B2 A4 et skt olge] W% Weo el AelE MY g vigos tF Tl WeE

setKeyedPropertyValue("fields _from", "Drug", ["drugA", "drugX"])

setPropertyValue("true_value", "1")
setPropertyValue("false value", "0")

setPropertyValue("use_extension", True)
setPropertyValue("extension", "Drug Flag")

IBM SPSS Modeler 18.0 Python 2~=H& 2 253} kA




node.setPropertyValue("add as", "Suffix")
node.setPropertyValue("aggregate", True)
node.setPropertyValue("keys", ["Cholesterol"])

3 85. settoflagnode 5%

settoflagnode £4 dloe] 75 4 A4
fields_from [category category
category]
all
true_value string W15 Y W =Tt ARSSkE true #EE AR
Ut 7R TYU
false value string S5 2T W ==t ARBSEE false B AW
Uk 71 FYth
use_extension flag FAE Al EHL el gk HelEA B AT
AR AREBHIALL.
extension string
add_as Suffix P FrEA B HAFEAR FUEEA] o5
Prefix & A3y
aggregate flag 7] =& rIFoR gF=E I RStk 1
o mE S 2= 99| HEZ=7t true2 A
A ) AR 7T
keys list 7] 3=

statisticstransformnode %4

EA% W3 === [BM SPSS Modeler®] dlo]g] 42~ tls)] IBM SPSS Statistics T-2 WeJEo] A&l
[ @> < AT o] == [BM SPSS Statistics®] A7 AREo] Baghch

>

S

o] xto] EAO 313 |o]x]9] [statisticstransformnode E4 JpIA A=},

transposenode 4

A k= 3 g e tlolEE vigA BlE=rt Bert Hal Jevt dlsert SA g

=

Al

node = stream.create("transpose", "My node")
node.setPropertyValue("transposed names", "Read")
node.setPropertyValue("read from field", "TimeLabel")
node.setPropertyValue("max_num_fields", "1000")
node.setPropertyValue("id field name", "ID")
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£ 86. transposenode 5%

transposenode 5*J dole] 3 =4 Ao
transposed_names Prefix Al EE o]Fo] A HFEAE 7O R A 5o AY
Read 42 WAL HlolElY 713 duolM os  IF
ok
prefix string
num_new fields integer HAFEAE AE o), 28 Al Heo] Ho) 8 A
@??Hf$
read_from field field olE-S ¢ YU oJAE IEHslE Jrofof
s, 737 god kvl A ) ofrt BT
=g
max_num_fields integer deolA] o5 ¢S W, ARAl B2 FE o &
B Japr] I3 ke AEUH
transpose_type Numeric 7HER o R ALY M) BTt HXEANE 2] 2
String o] ARgAF Aol MBAEES AdsiAL) Tl BE 2
Custom Al Beg XD 5 Sy
transpose_fields list Custom 342 ARSS wf x| F=g 23}
id_field_name field

typenode S

g #% ot e vieolE B S4S AP olF Sof 7 Boo) id 34 SH@SY, U5,
B Y e Eg Adsk, A 2 A ARE S GHg e, P HHOR UE

-

= o] e M, Besh g dlol sk, el ke AW gk

S

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC", "drugD", "drugX",
lldr.ungl s ”dY‘UgZ"] )
node.setKeyedPropertyValue("nul1l_missing", "BP", False)
node.setKeyedPropertyValue("whitespace missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value_labels", "BP", [["HIGH", "High Blood Pressure"],
["NORMAL", "normal blood pressure"]])

390l T wesh ek A9isk] Sls) el 4 ool fields from 549 2e 3 =
EE ¢hds] Iz=Exsie Favt ks o USUTE OS] Hols kEE skl st JuE QI2H
23k = Utk

tablenode = stream.createAt("table", "Table node", 150, 50)

stream.link(node, tablenode)

tablenode.run(None)
stream.delete(tablenode)

n
1m 4m
o
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£ 87. typenode 7.

typenode 54 dlole] 73 Ex] )
direction Input o A tigk 771 e 54U
Target a7 In 2 outd oAl © ol AMESIA okE
Both Uth. ol&el tigh A2 A5 delzollx Hspd &
None AFHT
Partition
Split
Frequency
RecordID
type Range o] =4 FFoRloll= g9
Flag o2 BHE). typed
Set Default® XS =ZE values B
Typeless A& 29, value_mode’}
Discrete Specify #k& ZH= 79 Read2 APk
value_mode’} Pass = ReadZ AAE=
OrderedSet 735~ typeS A= value modeol FES FA
Default k=),
o YRHog AMgshE HlolE A9 78 ==
i B e 2 tEuth e ot 25
Ut ¥ > A58 W - > HEE OrderedSet
> oA ok > WHEE
storage Unknown e A% 3 tigk ¢V 28 71} ke EEUY
String =3
Integer
Real
Time
Date
Timestamp
check None e 73 9 He Al gk 7t ke EAUYTL
Nullify
Coerce
Discard
Warn
Abort
values [value value] A&y o] A A A gk Hagk vRE gk
< oyt e el Ae- BE ks As)
AN, E g Ae A WA 3k fulseE U
B, vt ke rrues UERIUTE o] EAS A
Ao AFsC= value_mode 5748 SpecifyZ A
A
value_mode Read e sk WS WEGTE o] 5445 Specify
Pass 2 A AT gles FoRiAL. B4 #E A
Read+ B3led values A& AR
Current
Specify
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I 87. typenode 55 (Al%).

typenode S4J

doTe] 9

g

d A

o

4

extend_values

flag

value_mode”} ReadZ 472 uj 285y}, J=of
gk ojo] 71& ol A= 9L FhS FERH T
2 Agshiie. AR ge gt 71E e A
s FE AL

enable_missing

flag

T2 A4ER "o tha A3k FAe sk
o.

missing_values

[value value ...]

AEgke FASRE HolH g AR

range_missing flag AZZHE) et Heol| tis) HoEEA] ARE A
Aot

missing_lower string range missing®] true W, A=gkE W2l] sl A
Ao

missing_upper string range_missing®| trued W, Ak Hele] kS A
Aot

null_missing flag TZ 24D v, nulls(AZEY o)A $nul1$E FA|
H= AoE] k2 ghe ASHe = Utk

whitespace |flag T2 A8E o, 3@, | 2 = aP)ek 23St

missing T WS ASHoE gy

description string o] Aos AU

value_Tabels

[[Value LabelString] [ Value LabelString] ...]

ol ik gloles Ash= ol AR

display_places |integer FAE o Foof digk A5 olst ARG AR
UTHREAL A% 37+8 z2H= doolnt 289, 3k -1
< 2By 7EgS ARSI
export_places integer Wil of Joof gk A olsl ARl A28
YTHREAL A 33+& zh= Joout 289, gk -1
& 2Ef] 78S ARSI
decimal_separator | DEFAULT P9 74 TRARE AARUTHREAL A BXhe
PERIOD Z¥= Zrogk A8,
COMMA
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£ 87. typenode =4

(A).

typenode S4J

HTe] 74

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD. YYYY"
"DD.MON. YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

Heo] gxl 212 A-SICHDATE == TIMESTAMP
A e 2= Beo A8%).

v T1owm

time_format

"HHMMSS"

||HHMM||

IIMMSS"
"HH:MM:SS"

"HH :MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

o] ARE gals AT TIME 5= TIMESTAMP
A B 2 BEoR 218%).

TE A

number_format

DEFAULT
STANDARD

SCIENTIFIC
CURRENCY

Boof S wA BAke AL,

standard_places

integer

1:l

= golog BAE uf o] Ay os) ARl
A gk -12 ~EY 7)Egke ARgIRTH
712 display_places €25 oS WASAN ¢
oPY ARSI e FHAsHAIR

H

i

=

f

scientific_places

integer

Ars7] Waow wAE w) "] A5 ofst A
s AR, 3 -1e 259 RS A8
e,

currency_places

integer

Boh Yoz mAE v Peo| A ol Al
B AT 3 12 2E7 ZjEgke ASTI
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I 87. typenode 55 (Al%).

typenode =4 dlole] 73 Ex] )
grouping_symbol | DEFAULT o] e 75E APt
NONE
LOCALE
PERIOD
COMMA
SPACE
column_width integer geeo] 4 yRlE ARdutt & -12 & UHIE Auto
2 Ao
justify AUTO Peof I PES WAL,
CENTER
LEFT
RIGHT

measure_type

Range / MeasureType.RANGE
Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

o] 717} = B Huof Ak SHE Ao
o AR = Qths HollA typedt HIUS: o
2 A& Python 2IAYENA setter FF=
MeasureType #el shiz AGE 4 Sl= o
getter= M4t MeasureType ZhollA] 2lEldich= &
yth

jiass rE

collection_ [Range / MeasureType.RANGE QOFEE (09 o) ZHe H5)9 A9 o] 77}
measure Flag / MeasureType.FLAG U= BALS VR I dEE S 1S Ao
Set / MeasureType.SET ok
OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
geo_type Point A FxE o] A9 o] 77} e 4L o] o
MultiPoint Ol FAEE AEERt LBAES] {§3S ot
LineString ot #e] B zlojel YwdS TEAoF FuTh
MultilLineString
Polygon
MultiPolygon
has_coordinate_|boolean AEEKE Bro] A o] EAL o] dovt HAAE
system Zr=A] RS Aok
coordinate_system|string A}z Buo 75 o] 717} Sh= 5Ae] o] E=9

A3E golghich

custom_storage_
type

Unknown / MeasureType.UNKNOWN
String / MeasureType.STRING

Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP
List / MeasureType.LIST

o] 77} & B Fro oA A Ik Aelst
= o ARgg 4= ok oA custom_storage9t
AR 2 & Python 2~ HEOIA] setter T

= StorageType %2 shU= g2 4= Q= wF
getters= 3t StorageType ZlollA 2Elditl= 4
18]~

F

hinss
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I 87. typenode 57§ (7).
typenode 5 dlole] 73 =4 Ao

custom_Tist_
storage_type

String / MeasureType.STRING
Integer / MeasureType.INTEGER

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp / MeasureType.TIMESTAMP

22 gro] A9 o] 7|7} 9= Exo

1 71 3] A

custom_list_depth

integer

2% geol A% of AVt ke 54 Peeo ol

APggict.

A BE A

w= 54 145
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M 12 & 2= = SN

o= L= 2E EM

o] Aox= 3% 54 % 2 =& {30 EXT EAS sl I ol AR 7FsdE EAS AN
ek
#88. BE 1= ws EY
T 18= == B4 dloje] f3 54 A
title string AE-S 2A-FHIT}. o): "This is a title."
caption string WS AAHZUTE of: "This is a caption.”
output_mode Screen Tz meo] Eo] FAEEA] o ¥ TRl V|EEEA] o
File = AU
output_format BMP =99 F3E ARPUTE 4 ==l i) sleus E2e] A
JPEG gt e oeuth
PNG
HTML
output (.cou)
full_filename string I seERE AAEE SEEl i i FE 2 9 o]
55 AT
use_graph_size flag olgfe] uH] P o] EAS ARgSle] =) WAlHo® I
7] A=A ARE AlfuL). e R FEyE Tz
vk ekS FUTE BY LTl ARRE 4= QiU
graph_width number use_graph_size7} True¥ uf, 1§ niE I g9jg A
Ao
graph_height number use_graph_sizeZ} Trued W, Z2i= 2o|5 Al tielz A
At

5ol ofdk omglo] Wosh e Ml o Tk ool BASRE ZHY B4 g (i BA9)E
wgsle] 2 4 glgunh

plotnode.setPropertyValue("color_field", "")
AL R
Al A, a1, ool TR A2 siX () 715 AlRkshs 1671 EAES A8l AT ¢

o dE S0, 1= e sRio R ARetH v HEES AR
mygraphnode.setPropertyValue("graph_background", "#87CEEB")

%O
oy
<
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Sl A F 5 87 W -G A, FE T S CEE S UIgS Ak, vhae
57} EBE 92k Ul AR 7F SR 0 - 9 e A - F 89le) 3t 71 5 s ol 3k
© gl WAl e RGB VS AR 4 LIk

243: RGBE A3 A4 wl, A87F QlEpolse] Be Aup|E AMgsle] Lule Ay =g g &
Ut Ushs AN e STHS DYSSRIA B8l AV A TS ofEshIALL.

collectionnode

R TS AT glo] ARMY Wt sk W E BEE sk d 83tk 3-D 1
e AMgSle] WFY IS TABRE 715 HE TP = Yuick

/ SOFERE T TR WEo] gl JhHo® shie] £ Beo| gl s AU (32ET
/i,

A
node = stream.create("collection", "My node")
# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("collect field", "Drug")
node.setPropertyValue("over field", "Age")
node.setPropertyValue("by field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" section
node.setPropertyValue("color field", "Drug")
node.setPropertyValue("panel field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
node.setPropertyValue("range min", 1)
node.setPropertyValue("range max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin width", 5)

3£ 89. collectionnode 4

collectionnode 5% dlole] f3 544 A4y
over_field field
over_label_auto flag
over_Tlabel string
collect_field field
collect_label_auto flag
collect_label string
three D flag
by field field
by_label_auto flag
by label string
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3£ 89. collectionnode E4 (AZ)

collectionnode 54 dlofe] 3 54 AY
operation Sum
Mean
Min
Max
SDev
color_field string
panel_field string
animation_field string
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
use_grid flag
graph_background color FFE T AL o] M) ARRRoA Ayt
page_background color EF T A o] o] ARlofA] AUt
distributionnode
BE et OE SR A 2 J1EH0NEY) gel BHS nelFUch YiHoR, dojee] B
" Fo AP ffoll B k=E ARBSkE A9 e AeP] doll ¥d k=8 ARSSl] wAd 4 3l
= Zut
of| A
node = stream.create("distribution", "My node")

# "Plot" tab

node.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")
node.setPropertyValue("color field", "Drug")
node.setPropertyValue("normalize", True)
node.setPropertyValue("sort mode", "ByOccurence")
node.setPropertyValue("use proportional scale", True)

I 90. distributionnode -9
distributionnode =4 dlofe] 3 4 A4
plot SelectedFields
Flags
x_field field

A 12 A a=



3£ 90. distributionnode % (A1%)

distributionnode 4] dlofg] 3 Ex] Av]
color_field field Sr#le] &,
normalize flag
sort_mode ByOccurence
Alphabetic
use_proportional_scale flag
evaluationnode S
/ Wt ree 45 2ES Wrslal vluske o] =] guUth Wt AEs Blo] B4 ANE dupt &
;ﬂ\ AEBR=AE BofFUtt ASiia 59| AE=E nios HFes AFPUTh BlE=s Y% 7]
£ : o] IFESHoE 3 & 2 Bl tigh vIizUx RS ahs TP w2 i E P v gk
B E%E J3UNh v 2do] S AR wieE FAgUH
ol
node = stream.create("evaluation", "My node")
# "Plot" tab

node.setPropertyValue("chart type", "Gains")
node.setPropertyValue("cumulative", False)
node.setPropertyValue("field detection_method", "Name")
node.setPropertyValue("inc_baseline", True)
node.setPropertyValue("n_tile", "Deciles")
node.setPropertyValue("style", "Point")
node.setPropertyValue("point_type", "Dot")
node.setPropertyValue("use_fixed_cost", True)
node.setPropertyValue("cost value", 5.0)
node.setPropertyValue("cost field", "Na")
node.setPropertyValue("use fixed revenue", True)
node.setPropertyValue("revenue value", 30.0)
node.setPropertyValue("revenue field", "Age")
node.setPropertyValue("use fixed weight", True)
node.setPropertyValue("weight value", 2.0)
node.setPropertyValue("weight_field", "K")

3£ 91. evaluationnode E-74.

evaluationnode 54 dlofe] 3 4 A4
chart_type Gains
Response
Lift
Profit
ROI
ROC
inc_baseline flag
field_detection_method Metadata
Name
use_fixed_cost flag
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3 91. evaluationnode £ (A<).

evaluationnode 54 dlofe] 3 =44 A4
cost_value number
cost_field string
use_fixed_revenue flag
revenue_value number
revenue_field string
use_fixed_weight flag
weight_value number
weight_field field
n_tile Quartiles
Quintles
Deciles
Vingtiles
Percentiles
1000-tiles
cumulative flag
style Line
Point
point_type Rectangle
Dot
Triangle
Hexagon
Plus
Pentagon
Star
BowTie
HorizontalDash
VerticalDash
IronCross
Factory
House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan
export_data flag
data_filename string
delimiter string
new_line flag
inc_field_names flag
inc_best_Tine flag
inc_business_rule flag
business_rule_condition string
plot_score fields flag




3£ 91. evaluationnode £ (A<,

evaluationnode =*J d)ole] 43 =] A

score_fields [fieldl ... fieldN]

target_field field

use_hit condition flag

hit_condition string

use_score_expression flag

score_expression string

caption_auto flag

graphboardnode £

TEEnE wee e B wEd Sle off] 7 §39) Be IUzE ARt o] kEE AS

/ﬁ\ alo] hlsteis Elole] WeEg sk e doleld o) A 7Fsd A FolM e Aeg 4
— U o] wu e kgl o) Alsh) e RE T §¥E AsoR WelHthick

A AT fgel gukEA] oke B4 AAshe AR B, SlETel thsl y_field A1), 8
T B AU

A Ul o8] 71 B e g8o) ARAR wel 2o BEv) gknn). o] MeEE #x) 239
o ola) AR eksich
o

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")
node.setPropertyValue("x_field", "K")
node.setPropertyValue("y field", "Na")
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£ 92. graphboardnode =79

graphboard 54 doje] 83 =4 A9

graph_type 2DDotplot Tz {8 AEFTh
3DArea

3DBar

3DDensity

3DHistogram

3DPie

3DScatterplot

Area

ArrowMap

Bar

BarCounts

BarCountsMap

BarMap

BinnedScatter

Boxplot

Bubble

ChoroplethMeans
ChoroplethMedians
ChoroplethSums
ChoroplethValues
ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap

PointOverlayMap
PolygonOverlayMap

Ribbon

Scatterplot

SPLOM

Surface

Al 12 A 2=




I 92. graphboardnode 5% (Al1%5)

graphboard 54 doJe] 83 =4 A9

x_field field 2%9] AMEA} el ol AT ool AL
& 7Fsdd

y_field field y=2| AR Aol dlofee AR HlokEelRt A
& 7Psarh

z_field field Y5 3-D oA ARSI

color_field field S|E wellx] ARgShTh

size_field field 5 =304 AREZT

categories_field field

values_field field

rows_field field

columns_field field

fields field

start_longitude field field Zz WollA] shakare} A AR

end_longitude_field field

start_latitude field field

end_latitude_field field

data_key field field TheFst Wollx] ARgRITH

panelrow_field string

panelcol_field string

animation_field string

Tongitude field field Wol|x] Hare} A ARSRhUCH

latitude_field field

map_color_field field

histogramnode §4

Sl ree 2] dod| tiEk gre] A

fend she W AR B

A

node = stream.create("histogram", "My node")

# "Plot" tab

node.setPropertyValue("field", "Drug")
node.setPropertyValue("color field", "Drug")
node.setPropertyValue("panel field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
node.setPropertyValue("range min", 1.0)
node.setPropertyValue("range max", 100.0)
node.setPropertyValue("num _bins", 10)
node.setPropertyValue("bin _width", 10)
node.setPropertyValue("normalize", True)
node.setPropertyValue("separate bands", False)
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I 93. histogramnode -9

histogramnode S*J dole] 3 E4 Ay
field field
color_field field
panel_field field
animation_field field
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
normalize flag
separate_bands flag
x_label_auto flag
x_Tlabel string
y_label_auto flag
y_label string
use_grid flag
graph_background color FF T A o] Ao AEReA Agur
page_background color EF TP AV o] o] ARlRolA] AUt
normal_curve flag At B o] E8of] AF oo} sl=A] oJFE FAG
=
multiplotnode £
UE ¥ St U x ZE 9] OF ¥ BES BASRE SR8 A4 ¥ Bus o] AgE
@\ Hog E=sgunt 77k 28ko] Lineo® A=Y X B=r} Sort= A8d 74 k=9 Tyt
— U5 Sxe AR wetA of) W] wiss Jsh] o o f8shith

A
node = stream.create("multiplot", "My node")
# "Plot" tab

node.setPropertyValue("x_field", "Age")
node.setPropertyValue("y fields", ["Drug", "BP"])
node.setPropertyValue("panel field", "Sex")

# "Overlay" section
node.setPropertyValue("animation_field", "")
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use overlay expr", False)
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node.setPropertyValue("overlay expression", "test")

node.setPropertyValue("records Timit", 500)

node.setPropertyValue("if _over_Timit", "PlotSample")

3£ 94. multiplotnode 5%

multiplotnode =4 dleofe] 4 4 A
x_field field
y_fields list
panel_field field
animation_field field
normalize flag
use_overlay_expr flag
overlay_expression string
records_limit number
if_over_limit PlotBins
PlotSample
P1otA11

x_label_auto flag
x_Tlabel string
y_label auto flag
y_label string
use_grid flag
graph_background color EF T AV o] o] ARRlHofA AHEuUT
page_background color 3 TRl APES o] Mo AIRRoA ARt
plothode 4

T4 wEE A WE Aole] WAE HelFUTh FUEWR) Fe 4L A8sl] ERE 4

/m_»\ Zut

A

node = stream.create("plot", "My node")

# "Plot" tab

node.setPropertyValue("three D",
node.setPropertyValue("x_field",
node.setPropertyValue("y field",
node.setPropertyValue("z _field",

True)

IIBPII)
"Cholesterol")
IIDrugII)

# "Overlay" section
node.setPropertyValue("color field", "Drug")
node.setPropertyValue("size field", "Age")
node.setPropertyValue("shape field", "")
node.setPropertyValue("panel field", "Sex")
node.setPropertyValue("animation field", "BP")
node.setPropertyValue("transp field", "")
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node.setPropertyValue("style", "Point")
# "Output" tab

node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output format", "JPEG")

node.setPropertyValue("full_filename", "C:/temp/graph_output/plot_output.jpeg")

I 95. plotnode E-7.

plotnode =4J dlefe] 3 54 AY
x_field field x52] AMEAL Ao YlolB-S APFITh glolEelwt AR 7t
SEUh
y _field field y=] AREAL Ao #lolE-S AU #ElolEwt ARE- 7t
ST
three D flag y=o] ARGA o] HlolEg APTE 3-D T1Efze] g
olgelvt AR 7FsTh
z field field
color_field field LHglo] B,
size_field field
shape_field field
panel_field field Zy o] Tigk MRl (EE vREY] 98l ARE HEY
e F0 JEE ARTUYE B shue] =3 Al
A 23yt
animation_field field HFEHS ARgsle] sxpdos FAEE dee] xEE &
‘gste] HlolE gt WMFE Ansl] g WEE e
1 FeE AP
transp_field field zt el thsll Zdoldt =] TS AR8Sie] TlofE gk
HTE Aiele ZuE AdUTh A =3tolls AR
Eraasi=s
overlay_type None Swdlo] g LOESS W7 17 FAIEER] ARE 2
Smoother k.
Function
overlay_expression string overlay type°] Function®o2 A= uj] ALgsl= EH
215 AT
style Point
Line
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3£ 95. plotnode

plotnode 54

Flole] 74

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

x_mode

Sort
Overlay

AsRead

X_range_mode

Automatic
UserDefined

X_range_min

number

X_range_max

number

y_range_mode

Automatic
UserDefined

y_range_min number
y_range_max number
z_range_mode Automatic
UserDefined
z_range_min number
Z_range_max number
jitter flag
records_Timit number
if_over_Timit PlotBins
PlotSample
PTotAT11
x_label_auto flag
x_Tlabel string
y_label_auto flag
y_label string
z_label_auto flag
z_Tlabel string
use_grid flag
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I 95. plomode 578 (Al<).

plotnode =4 dlefe] 3 54 A4
graph_background color BFE O AP o] o] ARRFA AU
page_background color 5 TP A o] Ho] AJRHofA] AUt
use_overlay expr flag overlay type2 $J3ll O] oPd ARSSIA] 5Uth
timeplotnode §4
ARRE A B SR oPde] AAIE HlolE] AES FAFUCE ditEoR, WX ARE 7t = E2E AN
KQ“\ 3l TimeLabel B=5 Z/gER=tl, o|3lo] x5S #olEdh= o] AMFT

A
node = stream.create("timeplot", "My node")
node.setPropertyValue("y fields", ["sales", "men", "women"])
node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", True)
node.setPropertyValue("1ine", True)
node.setPropertyValue("smoother", True)
node.setPropertyValue("use _records_limit", True)
node.setPropertyValue("records Timit", 2000)
# Appearance settings
node.setPropertyValue("symbol size", 2.0)
F96. timeplotnode 579
timeplotnode £4 dlole] 3 54 A
plot_series Series

Models
use_custom x_field flag
x_field field
y_fields list
panel flag
normalize flag
line flag
points flag
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3£ 96. timeplotnode

=S
E

g (A%).

timeplotnode £4J

il
ol

£

Fole] 74

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother

Aol Sl 18 R

panelS TrueE AA3H

e,

flag

use_records_limit

flag

records_Timit

integer

symbol_size number 718 271E ARF U

Horizontal
Vertical

panel_Tayout

webnode EA

e ARNdUTh Ee
AHg3}e] AR A Mohfﬂ

E

g e F obel 71E0HFY) BE|
/@ﬁ}\ & AHasiel 7&5—;— AU ol o 3

A

node = stream.create("web",
# "Plot" tab

node.setPropertyValue("use_directed_web",
node.setPropertyValue("to field", "Drug")

"My node")

True)

node.setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
node.setPropertyValue("from fields", ["BP", "Cholesterol", "Sex"])
node.setPropertyValue("true flags only", False)
node.setPropertyValue("1ine_values", "Absolute")

node.setPropertyValue("strong Tinks heavier", True)
# "Options" tab
node.setPropertyValue("max_num Tinks", 300)
node.setPropertyValue("1links_above", 10)
node.setPropertyValue("num_links", "ShowAl1")
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node.setPropertyValue("discard Tinks min", True)
node.setPropertyValue("1inks_min_records", 5)
node.setPropertyValue("discard_Tinks max", True)
node.setPropertyValue("weak below", 10)
node.setPropertyValue("strong_above", 19)
node.setPropertyValue("1link size continuous", True)
node.setPropertyValue("web _display", "Circular")

F97. webnode £4

webnode 54 dloje] 3 =4 A
use_directed_web flag
fields list
to_field field
from_fields list
true_flags_only flag
line_values Absolute
OverallPct
PctLarger
PctSmaller
strong_Tinks_heavier flag
num_T1inks ShowMaximum
ShowLinksAbove
ShowA11
max_num_11inks number
links_above number
discard_links_min flag
links_min_records number
discard_links_max flag
links_max_records number
weak_beTow number
strong_above number
link_size_continuous flag
web_display Circular
Network
Directed
Grid
graph_background color FF TP A o] o] ARlofx] AUt
symbol_size number 718 2715 AR

A 12 A IEE x= B4

[kl
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E
The 542 9 = 2E 299 ool 3&ddunt. BE dioke 78 227 ol thak w4l 24

H98 ¥E 2HY =& 54
= 45 54 A
custom fields flag True®l 7% A L=of thet B%, g %

[ X

Bl 2=8 AL 5 55U Falsedl - 4
Ed #8 =0 dA S ARSIt

target field 2 {8l A v E3E IE Ee U 5

T= T= ® PEE ARGk

targets [fieldl ... fieldN]

inputs [fieldl ... fieldN) oA AMgslE e T dESRs Juygyk

partition field

use_partitioned data flag e F=rt Aofe A, o] g I
o loleler wae AYshe o) AMgSHES 1A
e,

use_split_data flag

splits [fieldl ... fieldN] 23 mddo| ALY FxE AAHFYL
use_split_data’} TrueZ AAE 7ol F&
e,

use_frequency flag 7¥eA] D Ns des= ZF 2d §3o]] el e

He g2 B4 mdo] ARSZhch

frequency_field field
use_weight flag
weight_field field
use_model_name flag
model_name string Al 2=o] ARgA} o] o] EduTh
mode Simple
Expert

- ol BT W st Y dole HElE WA gk ol Aols i olghe APEUL. o] ket
AR ool eidl TRl AR S, 2 Qs WS YA mECEkE oPyghe 4EF

<Al
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node = stream.create("anomalydetection", "My node")
node.setPropertyValue("anomaly method", "PerRecords")
node.setPropertyValue("percent_records", 95)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("peer_group_num_auto", True)
node.setPropertyValue("min_num peer groups", 3)
node.setPropertyValue("max_num_peer_groups", 10)

£ 99. anomalydetectionnode 5%

anomalydetectionnode =4 Zk E4 Ay
inputs [fieldl ... fieldN] opY FE e AHE Y FEE UKo R
3 gFeE BT S 9EE AR
siA] gkEUTh 7R B R FEE ARESEA]
btk AR AR (163 HoX9] 35 &
HeE BN
mode Expert
Simple
anomaly method IndexLevel YEES o gEo= Ze s S
PerRecords At Gk wPEshe | ARSskE WS A9
NumRecords Utk
index_level number SHL A ol =] Ha B @hs AR
St
percent_records number s dHlofEel e glE=e] HAES 7Rtz
ZH1 AP HlF=e ek YARRRS A3
num_records number sy diojEjell e dlF=e] 45 JMies &
A7 27g B e ARSI
num_fields integer Zy ol = dFE=el uiE] Rud de
e,
impute_missing_values flag
adjustment_coeff number Ag] ALkl A&y 9 HFE oo S04zl
gk 7Rl #Es Al AMSshe Y
e,
peer_group_num_auto flag o AT 5 Ao AR
min_num_peer_groups integer peer_group_num_auto’} TrueZ APdE of %
4 55 A 75 AP
max_num_per_groups integer Al 55 JAd = AHIUY.
num_peer_groups integer peer_group_num_auto’} FalseZ AE uj A}
Boh= 55 JD 5 AR
noise_Tlevel number optel w3 Foll AMelEs s WEhoh
07} 0.5 Atole] ghe APgaiiAlL.
noise ratio number e HuEol] ARgelloF she T ekl T
e vrg] FES A3 03 0.5 Akl
e AN L.
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apriorinode §4

Apriori =5+

/”-’.x"x

o7 At & Al 49, Aprioric @RFA

22 Wesh w5 wEgololol SRk ol f4e] wlolelo] Hasisel Q7] il

.

<A

node = stream.create("apriori", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("partition", "Test")

# For non-transactional

node.setPropertyValue("use transactional data", False)
node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
# For transactional

node.setPropertyValue("use transactional data", True)
node.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content field", "Drug")

# "Model" tab

node.setPropertyValue("use model name", False)
node.setPropertyValue("model name", "Apriori bp choles drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true_flags", False)
node.setPropertyValue("optimize", "Memory")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("evaluation", "ConfidenceRatio")
node.setPropertyValue("lower bound", 7)

O A~
T

2= 0]
‘T)\}]\‘_

3

=

=

4

wEt wolelold] 72 MES 35k 4 hEe] 7k we e AWMU Apriorit T
& AlEiEhs S71e] AR ThE RS AFsh Ame Aclsh 20 AHsiel By Hlole AlE
= Qwrow Fd Sw7h e BAY
ol o] Ao] glor] Hr) 32/0e] WAZAL 7 FHE MUY 5 eI Aprioriolds e @

-0
/16]02

e
A
e

A

3 100. apriorinode 5%

apriorinode 54 ¥4 E4 A4

consequents field Apriori B2 & i) 9 Y = il S35k
(Consequents) 2 3K Antecedents)S AREZIUTE 7}
T2 2 HIE Fus ARESE] EsUth ARk R
= 163 FoRle] [¥% BHE] = E4Jk] WES 3
ZHIALS.

antecedents [field] ... fieldN]

min_supp number

min_conf number

max_antecedents number

true_flags flag




I 100. apriorinode 5% (A1%5)

apriorinode 4] k 54 Ay
optimize Speed
Memory
use_transactional_data flag
contiguous flag
id_field string
content_field string
mode Simple
Expert

evaluation

RuleConfidence
DifferenceToPrior

ConfidenceRatio
InformationDifference

NormalizedChiSquare

Tower_bound number

optimize Speed e 2pgdo] £ m= wREo) sl HHslejojof st
Memory A ARE ek ol AR

associationrulesnode 4

AT 72 === Apriori =59 FARIUSE 22U Apriorighs €], 9% 717 =5 55 HolEE

Aele & I =9, A 72

L
A==

tleleiE sl o we W

g2 AR83E] 98l IBM

SPSS Analytic Serverd} 74 AR &= QUG

3 101. associationrulesnode 4

associationrulesnode S4J

dlole] £

54 49

predictions

field

o] BEo| Wut 2| dZRERAR Uehd & 9%

conditions [field]...fieldN] o] Exo] Jdui= ] Zro=ANE Uehd & AUFy
.
max_rule_conditions integer e o] 23 ¢ e 20 A FYguth Ha
1, Fd
max_rule_predictions integer T e 23 4 Qe ClEY] A FYuth Ha
1, Hdi
max_num_rules integer T2 2ol dEE 3EE & Sle TR FHo Y
ok a1, Aol 10,000
rule_criterion_top_n Confidence o] Hg9 "N o] == 3hs sk 3
Rulesupport 7=y
Lift
Conditionsupport
Deployability
true_flags Boolean Y= Agsid E ool gk # gwt =2 A T

o aHES WEghth
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3 101. associationrulesnode % (A1%)

associationrulesnode 54 dlole] f3 54 AY

rule _criterion Boolean Y2 A 718 71E Fho)] 2l 2 Foll 112 A9
£ ffel e SETUTL

min_confidence number 0.157E 100717 - 2dof| o) A== el tigt
2 B ARzl tiEk SHE giuch o] o]
o APgE gharh e S 2k FAS ek
73S s e Ay

min_rule_support number 0.15E 10071A] - Zdol| oj) A== Falel gk
2= e 2 Aol oigk sHE gliue 2elo] 2
B guck g 77 A9l S e PR A
%% S A g

min_condition_support number 0.15E 10071A] - =2=of| 23] A== 2l tigh &
2 B 270 A9de) iRk SHIE ek melo] A
8 gut Fe 22 A9 FES 2 TS A
7% Y FEe AU

min_1ift integer 137 107F4] - 2] oJs)] A= 2l tigk A
B PEES Yehguch 28] A4E gt e
TE $2g 2 FAS YEhs A AT FHe 4
Al

exclude rules Boolean Fdo] FAS 2P| W] e T o BES
Aeshs d AT
a)l: set :gsarsnode.exclude_rules = [[[fieldl,field2,
field3]],[[field4, field5]]] - []o] of3l F-E=l= 2 =
50| HolEe| g Py

num_bins integer A5Y vt BlEE A 1 FE AEPUSE F
242, Fd 10.

max_Tist_length integer Ao dolg ¢ & gle BT 55 Aol 88U o
7Vl AR AT Bl gle 240t mu 2py
o ZZEUTE. BE 7} i AREU Ak 1, A
ol 100.

output_confidence Boolean

output_rule_support Boolean

output_lift Boolean

output_condition_support Boolean

output_deployability Boolean

rules_to display upto =9 "ol AR 2] Ho Tk

all

display_upto integer upto”} rules_to_displayellX 2A4=lE 3¢, &9 =l
ojfoll A 72 5 YSMINL, Ak 1.

field_transformations Boolean

records_summary Boolean

rule_statistics Boolean

most_frequent_values Boolean

most_frequent_fields Boolean

word_cloud Boolean

o,
{-r
il
£
p—
=
|

A 13 A =g



3 101. associationrulesnode 7 (A1%)

associationrulesnode =4 do]g] 73 E4 Ay
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cloud_display integer HAa 1, HY 20
max_predictions integer 2510fol] TRk 7+ el A8d o = Hd 7]
AuiTh
criterion Confidence T AEE PEsl= b ALSSRE 252 AgsAl
Rulesupport 2.
Lift
Conditionsupport
Deployability
allow_repeats Boolean TYT AFE 2= o] 230]d| EFEEA AFE
FPEGRT
check_input NoPredictions
Predictions
NoCheck
autoclassifiernode 54
P~ s BFA 2T ol Ao T oL, o T og IE B)oll sl v ofy] ks %}
\ E‘% Adstar wlwsle] Foizl BAS 913k Hde] A e AdE & A Futh B 2 darglEe)
Ad=lo] ARE W, 2zt ik B4 84, 2 vl 7S A 4 Uk °l o AgE &
AL 7oz wdl XES AYAslaL AI%ZP} ek 7ol whet He] $RE SRk
oA
node = stream.create("autoclassifier", "My node")
node.setPropertyValue("ranking_measure", "Accuracy")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable accuracy limit", True)
node.setPropertyValue("accuracy 1imit", 0.9)
node.setPropertyValue("calculate variable importance", True)
node.setPropertyValue("use _costs", True)
node.setPropertyValue("svm", False)
3£ 102. autoclassifiernode E-9.
autoclassifiernode £4 k4 54 A4
target field ST o] A As ERAF === 8
L] oz s}ur VZ‘]"/] A= é_ﬂ g
ok 71 9 Nls dew 2gE 5= 9
Utk AHE ARE [163 A0S [
R = BAIR WeE gEshie,
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I 102. autoclassifiernode 5% (7<).

autoclassifiernode 54 s 544 A4y
ranking_measure Accuracy
Area_under_curve
Profit
Lift
Num_variables
ranking_dataset Training
Test
number_of models integer zd Ezlell Egke el =0udh 13} 100
Afole] g AN,
calculate_variable_importance flag
enable_accuracy_limit flag
accuracy limit integer 03 100 Alele] Ayt
enable_ area_under_curve _limit flag
area_under curve limit number 0.0 1.0 Alole] A=t
enable_profit_limit flag
profit limit number 0XCH & A4AYch
enable 1lift_limit flag
1ift_limit number 1.0RT & A4yt
enable_number_of_variables_limit flag
number_of_variables_limit number 0XTH 2 AU
use_fixed_cost flag
fixed_cost number 0.0Xc} & 24Uk
variable_cost field
use_fixed_revenue flag
fixed_revenue number 0.0:t} 2 A4yt
variable_revenue field
use_fixed_weight flag
fixed_weight number 0.0Xc} & 240Uk
variable_weight field
1ift_percentile number 07 100 Alele] A4t
enable_model _build_time_Timit flag
model build_time Timit number ZF M mels 2pehe o deEle ARRS
AP 98l 2 B9 Agshe 3R
o.
enable_stop_after_time_limit flag
stop_after_time limit number A wRAF Adel] tigk A 73 ARES
A7) el Ak 52 ke A4
=
enable_stop_after_valid model_produced flag
use_costs flag




I 102. autoclassifiernode 5% (7<).

autoclassifiernode 4 * 544 A4

<algorithm> flag 54 dalge] AR AR B AR ¢
Gt

<algorithm>.<property> string B4 daglge] &4 73)\’% APguT). 2A|
g AR IW%I'_ % Al es F
_1_0]‘/1\:}/\]‘9_.

ATRlE SN MY

A5 BRAL AE ), A 23 w0 A4S ) Aske 54 duisel g 54 O 9 o

2g Abgslel AT 4 o,

autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)

de =01,

node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

As A =eo] dagls o] cart, chaid, quest, c50, logreg, decisionlist, bayesnet,

discriminant, svm @ knndUyc}h.

s T =] dag]E o]F2 cart, chaid, neuralnetwork, genlin, svm, regression, linear %

knnJuth
s 7+ =9 da1g)E o2& twostep, k-means, kohonenJUth

A4 oI5 ZF daElE o el A8k o2 2Eduth

MR} e TEEE TP YuelE B4 JeatgEs Fojok gk o
node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")

4ol thell o5 3= ARE = Jsyth dl:
node.setKeyedPropertyValue("decisionlist", "search direction", ["Up", "Down"])

54 daElEe ARe AR BB AR el thee FlsHiAlL.

node.setPropertyValue("chaid", True)

A 54 Quels SHe] AF BRA wEelA AT 5 g 49 EE ghel Mel) ol Bl gt
AT F ghe W, EE PO o] AN wieh FUT WAV =) AgHUCh
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autoclusternode A

0

A% 73 mEE 4AR 542 /1 dEE 35S ek 21 2e Fsa v of e
tOE A Y mseh BU PHOE ABsle] By B sl OF f4 23S 49T

t:]0
Rtk 73 mele] 84S Welska w9isis 54 Weo)

NS 71 ZEE AgS] BRS HEE 5 gt

HJ

<A

node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking measure", "Silhouette")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable silhouette Timit", True)
node.setPropertyValue("silhouette 1imit", 5)

3 103. autoclusternode 4

F04E 7MOE Z5E AFSRIL

autoclusternode 54 k4 54 Y
evaluation field Zhar: 2P 73 =ov Ut 8% ol
ARk WEg AEFRL, E= o] o] s
o] g =B} malo] o] Weg o3k 4
55 Ak b AR & SlaUTh
ranking_measure SiThouette
Num_clusters
Size_smallest_cluster
Size_largest_cluster
Smallest_to_largest
Importance
ranking_dataset Training
Test
summary 1imit integer R Uag =9 Utk 13} 100 Alole] 4
TE A L.
enable_silhouette_limit flag
silhouette limit integer 03} 100 Alole] A4={Uct.
enable_number_less limit flag
number Tess limit number 0.0} 1.0 Afole] AdUct
enable_number_greater_limit flag
number_greater_limit number 00X} 2 Aeduoh
enable_smallest cluster Timit flag
smallest_cluster_units Percentage
Counts
smallest cluster_Timit_percentage | number
smallest_cluster_Timit_count integer 00X} 2 AHeduoh
enable Targest cluster limit flag
largest_cluster_units Percentage
Counts
largest_cluster_Timit_percentage |number




3 103. autoclusternode 54 (A1<5)

autoclusternode 54 * 54 Ay
largest _cluster Timit_count integer

enable_smallest_largest Timit flag

smallest largest limit number

enable_importance_limit flag

importance_limit_condition

Greater_than

Less_than
importance_limit_greater_than number 03} 100 Alole] A4=Uct.
importance_limit_less_than number 07} 100 Atole] AUt
<algorithm> flag 54 dalEe] AR8-S AR B AR R
<algorithm>.<property> string 54 gaElge] B4 e AUk A A

1= [[70 SOTS] T 54 gkl e
2 FEshe.

autonumericnode M

P A% 55

EE GRS RS A @
‘ i'“ = A 2R soel B

H
=3
ofe] g4 23S HPT 5 LIk AT GekEels AHY, C&R E2, CHAID, 418 )7

2 wie) Avle) mRLS Zgskal wmE o] =t
Poz Assiog A8Y AnEe Adsli By s

sl A3 37 L =AY WE] HASVM)o] YU FEle A At ex) e ARRE wRe)
FE 7Rko g sk 4 guTh

A

node = stream.create("autonumeric", "My node")

node.setPropertyValue("ranking_measure", "Correlation")

node.setPropertyValue("ranking_dataset", "Training")

node.setPropertyValue("enable correlation_limit", True)

node.setPropertyValue("correlation limit", 0.8)

node.setPropertyValue("calculate variable importance", True)

node.setPropertyValue("neuralnetwork", True)

node.setPropertyValue("chaid", False)

3% 104. autonumericnode 5%

autonumericnode =4 45 =4 A4
custom fields flag TrueQl 79 AREAF o] = AAS 78 =&
A Al AR
target field s 74 kB spe] Hak 9 sh o] o
2 Jovh degct 7 9 R gER A
A 4 olgUch AAF ArE [163 TR
[+5 =93 =c EAlR U Ixshire
inputs [fieldl ... field2]
partition field
use_frequency flag
frequency_field field
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3 104. autonumericnode % (A1%)

autonumericnode S43 Zr Ex] Aq]

use_weight flag

weight_field field

use_partitioned data flag e =r) Aozl A4S, T dlojETh el
Zpgell ARSIt

ranking_measure Correlation

NumberOfFields
ranking_dataset Test
Training

number_of models integer =g Uzle)] Esksr vl 41Utk 13} 100 Ake)
o] ArE AL

calculate_variable_importance flag

enable_correlation_limit flag

correlation_limit integer

enable_number_of fields _Timit flag

number_of_fields_limit integer

enable_relative_error_Timit flag

relative_error_limit integer

enable _model build _time Timit flag

model_build_time_Tlimit integer

enable stop_after_time limit flag

stop_after_time_Timit integer

stop_if_valid_model flag

<algorithm> flag = darglEe] ARES AR T ARE RV

<algorithm>.<property> string EA duglEe] B4 g2 ARy AAiRE A4
RE 170 Hoxe rdvels E4 B4 Je] e
< sk,

bayesnetnode 54

A EE e 298 4 QU o] k= F2 Rl AMSSh= TAN(Tree Augmented Naive Bayes)

@ Ho|A Rt UEST k=8 33 #= 4 4= ?l SHE AAA AR =Fste] Y = gEgeR
2 Markov Blanket WESFo| 23S xu‘/]r/}

A

node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing_model", True)
node.setPropertyValue("structure type", "MarkovBlanket")
node.setPropertyValue("use feature selection", True)

# Expert tab



node.setPropertyValue("mode",

"Expert")

node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("independence", "Pearson")

3 105. bayesnetnode 59

Validation

bayesnetnode £4 ik 54 Ao
inputs [field] ... fieldN] Hol|t AV B T 3k e} shi
ohiel 98 ASE AgEL. @y ee
Apow TP A Aue (i
A T35 =43 == E4J y&s 3=
SHAIL.
continue_training_existing_model flag
structure_type TAN Ho|XQF EQIZE AT w) AE =25
MarkovBlanket AefsilA) L.
use_feature_selection flag
parameter_learning method Likelihood /‘P-?/IB] o] Ll k= Alolo] ZAE SE H)
Bayes ole& Fsk= Hl ARSShe e A3t
mode Expert
Simple
missing_values flag
all_probabilities flag
independence Likelihood T gl gis)) e olF = ISkl MR H
Pearson 22012 HE WHsI= U] ARSSIE WS
AP,
significance_level number 94 WES A% AA g AR
maximal_conditioning_set number 94 Aol ARE 205w A 5
AL,
inputs_always_selected [field] ... fieldN] Ho|XQF UELIZE AT vff 3V AR H)
ofg] AE°] H=g AT
A5 BE Yot g Aegu,
maximum_number_inputs number Ho]Z|Qt WEST e A3 Y o
) 55 AU
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted propensities flag
adjusted_propensity partition Test

buildr M

R

A

174 1BM SPSS Modeler 18.0 Python ==&l 9 &3} QhjjA

R 2 =5 ARE3HA IBM SPSS ModelerollA] HH_-_E]§

3]—/(-1 D_] _1_‘3_1:421 /\:yo{ 2s

Falsl7] 9% ALeA Aol R 23




node = stream.create("buildr", "My node")

node.setPropertyValue("score syntax", """
result<-predict(modelerModel,newdata=modelerData)
modelerData<-chind(modelerData,result)
varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure=
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

3 106. buildr 573

buildr 54 ¥4 54 A
build_syntax string = 29 2%k R ATYHE E
score_syntax string 2dl ~570|8do] R 23y T
convert_flags StringsAndDoubles ZY1 F=E ddehe /A
LogicalValues
convert_datetime flag 9 e GRARE A 2k HEE R B
ARE oz Wdsle 34
convert_datetime_class POSIXct I s ARE A Zhe WE EEs §
POSIXTt A& Ak FA
convert_missing flag AZZ7ES R NA FHo2 wskel= 34
output_html flag R 22 YZlelA gol] Jei=ZE FABE 4.
output_text flag R 29 Ul R Z& H2E Z5S glof] 2
= A

c50node EM

Bog Jos MBS PPl AU B Be WFgololol Gtk Al ) oge] Hartom
o % Bdo] Sgau

'E C5.0 === X184 Ef e 14 MES AT Bdle 7} SFollx] Ao AR o])S AlF3l=

A
node = stream.create("c50", "My node")
# "Model" tab

node.setPropertyValue("use _model name", False)
node.setPropertyValue("model name", "C5 Drug")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("output_type", "DecisionTree")
node.setPropertyValue("use xval", True)
node.setPropertyValue("xval _num folds", 3)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child_records", 3)

# "Costs" tab

node.setPropertyValue("use costs", True)
node.setPropertyValue("costs", [["drugA", "drugX", 2]])



F107. ¢50node 74

c50node £AJ Zk =4 Ao
target field C50 2Ee T Hit o} shu opde] o =2
=& AFUCE 71 BEE AR S gk
AR ARE (163 HolAe] [¥F REY =t 5|
W88 FshA e,
output_type DecisionTree
RuTeSet
group_symbolics flag
use_boost flag
boost_num_trials number
use_xval flag
xval_num_folds number
mode Simple
Expert
favor Accuracy A3e = M8 AEdhct
Generality
expected noise number
min_child_records number
pruning_severity number
use_costs flag
costs structured ol Fx3 EAYULE
use_winnowing flag
use_global _pruning flag 7R 0 Z On(True)PUch
calculate_variable_importance flag
calculate_raw _propensities flag
calculate_adjusted_propensities flag
adjusted_propensity partition Test
Validation

carmanode M

CARMA EZe Q¥ mE =i g AskA| goks tloleEjollx 2 AES FZ=3Uth. Aprioriet
A0 CARMA =t ) g X)glo] ofjel 772 AAxE 2 34 thol o AS 9
A AR ATAUL. o= ABE FHE Brk Tl fFelolid] Agsiel, olE Sof Fao] o

F7Vdol FRY B AF me IS BEG 2 9 omFL,

el

node = stream.create("carma",
# "Fields" tab
node.setPropertyValue("custom fields", True)
node.setPropertyValue("use transactional data", True)
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])
node.setPropertyValue("partition", "Test")

"My node")
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# "Model" tab

node.
node.
node.
node.
node.
node.

setPropertyValue("use _model name", False)
setPropertyValue("model_name", "age_bp_drug")
setPropertyValue("use partitioned data", False)
setPropertyValue("min_supp", 10.0)
setPropertyValue("min_conf", 30.0)
setPropertyValue("max_size", 5)

# Expert Options

node.
.setPropertyValue("use_pruning", True)
node.
node.
node.
node.

node

setPropertyValue("mode", "Expert")

setPropertyValue("pruning value", 300)
setPropertyValue("vary support", True)
setPropertyValue("estimated transactions", 30)

setPropertyValue("rules_without_antecedents", True)

F 108. carmanode E%

carmanode =4 k4 54 A4
inputs [field] ... fieldn] CARMA == 9l Fro] B2 AMgsiA|gt
Ve ARESHA exsUTh 7| 9 Rl ges
ARS8 ST ARAISE AR (163 o)A
[35 =293 == EAJP] We-S Fxshire
id_field field za A8 93 ID YET ARESRs eEduUh
contiguous flag ID =] ID7} AEARIA] AR5 ZPgshe |l Ak
|3k
use_transactional_data flag
content_field field
min_supp number(FHAHE) 3} Aol opet 2 A¥3 wAgUTh 71
e 20% Uk
min_conf number(FHAIE) 71EGRE 20%YHTt.
max_size number 71k 1094t
mode Simple 718z SimpleUch
Expert
exclude multiple flag o ks 2 RS AlYEUD 71k
Falseudt.
use_pruning flag 71Egke FalseduTh
pruning_value number 718G 500994tk
vary support flag
estimated_transactions integer
rules_without_antecedents flag
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carthode M

- B 5 SACAR) Ee) S 7} A5G A A 4 DI S odg sole 49T
AT Hek o) e A st ALslel 2 BRIt Sene Al 39 dlase daves

BYPUE o) Eeje) i mso] Folse] 10097} B Bee] B4 Wi &
FEU B 9 9 Bet 4 8e] AR, eA8 = SYnguc

BRUUITH A T Ao HHIeh,

A

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])

# "Build Options" tab, "Objective" panel
node.setPropertyValue("model output type", "InteractiveBuilder")
node.setPropertyValue("use_tree directives", True)

node.setPropertyValue("tree directives", """Grow Node Index O Children 1 2

Grow Node Index 2 Children 3 4""")

# "Build Options" tab, "Basics" panel
node.setPropertyValue("prune_tree", False)
node.setPropertyValue("use_std _err_rule", True)
node.setPropertyValue("std err multiplier", 3.0)
node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use _percentage", True)
node.setPropertyValue("min_parent records pc", 5)
node.setPropertyValue("min_child records pc", 3)
# "Build Options" tab, "Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)
node.setPropertyValue("impurity measure", "Twoing")
# "Model Options" tab
node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Cart Drug")

3£ 109. cartnode 5%

}Dﬂ rgedeng 7}

nE Hslo o

InteractiveBuilder

cartnode 54 4y E4 Ay
target field C&R Eg| B spfo] thdal sht ode] <)
g Yevt Baghch WE BeE AP 5 9l
~L1E} ARG AR [163 Ao 2% E%‘%]
82 Fashirle.
continue_training_existing_model |flag
objective Standard psme w9~ = HloJE] MEo]| ARSI AW A
Boosting o] Fa3hc}.
Bagging
psm
model_output_type Single

use_tree_directives flag
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F 109. cartnode 5% (AI%5)

cartnode S4J k4 4 A
tree_directives string Eg] A4S 97 AXNES APGAL. = vt
7] = Q18RS ol ARILE F5p] s AN
T A d8HEE Fe 7 dsUd ANER
dlolEl e Wl f4e] At wislel v vl
2% % glor] T vole MER Unsks o
< 7 S FashiaL.
use_max_depth Default
Custom
max_depth integer 0FE 10007kx12] Ht) Eg oYyt
use_max_depth = CustomQ! 73-¢-ollqt ARgghick
prune_tree flag TGS A sl ERE ZERAPZ IR
use_std_err flag (FE= LAlA) #13e] Aol AlolE AR8shAL.
std_err_multiplier number o] 2ol duot.
max_surrogates number Ao AZACIEJUH
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured T3} EAYYT
priors Data
Equal
Custom
custom_priors structured Tx8 EAYUT
adjust_priors flag
trails number Fg] = A 93 FE8A Y Yyt
set_ensemble_method Voting WS ik gk 712 Ag 72y
HighestProbability

HighestMeanProbability

range_ensemble_method Mean A& el oigk 7= A3 AUt
Median
Targe_boost flag ul-g- 2 dlolg AHEd| FES H83hct
min_impurity number
impurity_measure Gini
Twoing
Ordered
train_pct number I A e,
set_random_seed flag A7} B4 FAUUT
seed number
calculate_variable_importance flag




3 109. cartnode 5% (AI%5)

cartnode 4] Zk =4 Ao
calculate_raw _propensities flag
calculate_adjusted_propensities flag
adjusted propensity partition Test
Validation
chaidnode §4
e CHAID =t HZ 231 2)2s] SI) 7ol $A%E ALgsle] il Eelg Adihich CaRr
S Eg] gl QUEST :=t=8 92, CHAIDE HIoHEd EZE A48T 5 3o ol 4 £ & ol

A

Fed BE BUS PSR Bk BAT A4S s

ek,

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

node

= stream.createAt("chaid", "My node", 200, 100)

stream.link(filenode, node)

node.
node.
node.
node.

node

node

node

setPropertyValue("custom fields", True)

setPropertyValue("target", "Drug")

setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
setPropertyValue("use_model_name", True)

.setPropertyValue("model name", "CHAID")
node.

setPropertyValue("method", "Chaid")

.setPropertyValue("model_output_type", "InteractiveBuilder")
node.
node.
.setPropertyValue("split_alpha", 0.03)
node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("use_tree directives", True)
setPropertyValue("tree_directives", "Test")

setPropertyValue("merge_alpha", 0.04)
setPropertyValue("chi_square", "Pearson")
setPropertyValue("use_percentage", False)
setPropertyValue("min_parent_records_abs", 40)
setPropertyValue("min_child records abs", 30)
setPropertyValue("epsilon", 0.003)
setPropertyValue("max_iterations", 75)
setPropertyValue("split_merged categories", True)
setPropertyValue("bonferroni_adjustment", True)

I 110. chaidnode %

=
r— 7P 5 omsin. Ea 9l 9 due oA HR(959) B HFIYUTE Exhaustive CHAIDE=
A

chaidnode £4J Zr =4 A
target field CHAID =e12 shte] thidst sht olde] U9

oyt g3tk v e AT 5 g5y

o} AR R (163 H|o)x|]

2% w99

e B2
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¥ 110. chaidnode 4 (#AZ)

chaidnode 543 * 54 Ao
continue_training_existing _model |flag
objective Standard psm wl-¢- 2 tlofe] MEd]| AMgER A A
Boosting o] AQ3shic}
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree directives string
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth integer 0%E 10007k%19] FHo Eg oYyt
use_max_depth = CustomQ! 73$-ollnt AREgHTY.
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured T3} EXUULH
trails number B e e g 484 2E uth
set_ensemble_method Voting W Ol digk 71 2 Uyt
HighestProbability

HighestMeanProbability

range_ensemble_method Mean A48 gPdoll digk 712 23 rRduUTh
Median

Targe boost flag - 2 HolE] AEo] FES 28ghic)

split_alpha number & folduynh

merge_alpha number w3l fojEdunt

bonferroni_adjustment flag Bonferroni W& ARSI fold ks =AY

=3

split_merged categories flag Wik o] AEES S8k

chi_square Pearson FlolAlg BAES Aktshs ol ARgshe WY
LR (Pearson ¥ 9-%H|(Likelihood Ratio))$Ych

epsilon number A 7RIS H4 syt

max_iterations number FES Qs Hof HEESQUThH

set_random_seed integer

seed number

calculate_variable_importance flag

calculate_raw_propensities flag




3 110. chaidnode 4 (AZ)

chaidnode £4] Zk =4 Ao
calculate_adjusted propensities |flag
adjusted_propensity partition Test

Validation

maximum_number_of_models

integer

coxregnode A

A

Cox 3] k=8 53 S #72=r) =

4
o,
¥

v

v

o

2

rlo

3

™

incs

)

1t

iy

node = stream.create("coxreg", "My node")

node.setPropertyValue("survival time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal criterion", "Conditional")
node.setPropertyValue("survival", True)

3£ 111. coxregnode

=4

oA ARE o oHIE dlojEle] gk AT mEs AT

ol gl o121 27Kl Zn|Qie= oEZ} HAEgE FES o

=3
coxregnode S4J ZF Ex A
survival_time field Cox 37] B AE Ahs 3l ©dY ¥
=7t Zaghic
target field Cox 37 By oY &3k Jrof sh o)y
2] 918 F=r Faghiot AR Ar 163
plolxe] 135 gy k= EAJl] Ulg-S &
ZBAA L.
method Enter
Stepwise
BackwardsStepwise
groups field
model_type MainEffects
Custom
custom_terms ["BP*Sex" "BP*Age"]
mode Expert
Simple
max_iterations number
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FE111. coxregnode 5% (A<)

coxregnode S*J Zr Ex Ao
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
removal_criterion LR
Wald
Conditional
probability entry number
probability_removal number
output_display EachStep
LastStep
ci_enable flag
ci_value 90
95
99
correlation flag
display_baseline flag
survival flag
hazard flag
log_minus_1log flag
one_minus_survival flag
separate_line field

value

number B string

Heof ek ghol A=A ke A, &g 2
o thsl 71 34120 "Mean"S ARSI

ot
r
il
£
p—
R
w

A 13 A 24



decisionlistnode A

A

node

@

P E5 e A A9l Bl Foizl oy Al e e dhe] 98 BAshe 7
o B ATHES AEdULL olE S0, e ofEd Thede] Y fExom ST TFsAo]
7P Be 1AL . YFUTh A AR Aol ATHES Flek oA mEle Ues] njenrlsled
AE PluoZA nlzus AAe mEld] F9d ¢ FUh ok 55 22 7) gl 25
At e T F502 PAEUH e SMUR A8EH viAjshs A WA qiHo] AxE AR
Ut

stream.create("decisionlist", "My node")

node.setPropertyValue("search direction", "Down")
node.setPropertyValue("target value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group_size_pct", 15)

3£ 112. decisionlistnode 5%

decisionlistnode 5] Zk =4 Ao
target field AR BE e o oidst sht ofdel ¢
g Fdeg AR/ Hie dEw AT 4 Q)
LUtk Ak gnas [163 soMe] 5% wag]
g2 IS
model_output_type Model
InteractiveBuilder
search_direction Up MNIHE 279} IAHAULE Upe =2 8&9 5
Down 71e|al Down G ghEa) 71T
target_value string AAEA] ekom Ze1ol] thal] true FHS 7T
ek
max_rules integer UHz|E A9Jet Ho) A|1HE 49Ut}
min_group_size integer Ha ATIHE F27|194Th
min_group_size_pct number FHEZA | i A|lTHE 27|04tk
confidence_Tevel number HIHE AHolo| Fsh= AL ou|UA v ¢
3 s5e $=5 /MIEIZE AlB)slor sh= 3
2 ARIYH.
max_segments_per_rule integer
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count number
max_models_per cycle integer EEo] A HrIgiyct
max_rules_per cycle integer ATHE o] 24 iU
segment_growth number
include_missing flag
final_results_only flag
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I 112. decisionlistnode 579 (#%5)

decisionlistnode 4] Zk E4 Ao
reuse_fields flag Sl Yehke dd EE)g o AMSSkE
= 583t
max_alternatives integer
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test
Validation
discriminantnode S
W B 2A2E SRR 923 /P9 SR i side] SEER =AE B9 Bae) A%
@ & ook me nx2o] © 4 ks
A
node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("method", "Stepwise")
3 113. discriminantnode E7J
discriminantnode 54 45 =4 A4
target field v e ol Hat Fee) shu o] = I
Z7F ot VA B Wx HEs ARSSHA
eirUr}. ApAE AR 163 AoAel [o% 29
H8-& BEshe.
method Enter
Stepwise
mode Simple
Expert
prior_probabilities Al1Equal
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
means flag g A st ke BAE FAUYTH
univariate_anovas flag
box_m flag
within_group_covariance flag
within_groups_correlation flag
separate_groups_covariance flag
total_covariance flag




3£ 113. discriminantnode 5% (AI%5)

MahalanobisDistance

discriminantnode 54 * 54 A4
fishers flag
unstandardized flag
casewise results flag I A st kel B R sAUYTh
Timit_to_first number 7RG 10]4UT
summary_table flag
leave_one_classification flag
combined_groups flag
separate_groups_covariance flag g8 A Al FEAk e
territorial_map flag
combined_groups flag =3 54 A
separate_groups flag =% 34 E-A
summary_of_steps flag
F_pairwise flag
stepwise_method WilksLambda

UnexplainedVariance

SmallestF

RaosV
V_to_enter number
criteria UseValue

UseProbability
F_value_entry number 78k 3.84%04ck
F_value_removal number 7188 27194tk
probability_entry number 71EgRe 0.054UT
probability removal number 7188 0.1044Th
calculate_variable_importance flag
calculate_raw_propensities flag

calculate_adjusted_propensities flag

adjusted_propensity partition Test
Validation

factornode EA

PCA/SR] koA 7383t dlofH 4 7S Algsie] tlojee] BXEE YUY sy FAEEY
@ (PCA)S FAQA7) AR AZhGA)R] AA BT AEA MBS AAsk= el Yro] My X3RS 2
o)

d

-
=

T 2 P BE 5
ek

S

186 1BM SPSS Modeler 18.0 Python ==&l 9 2153} QhjjA

ek 290 4o B39 BE AE volx] Al ARe e sl a3
= A7) Y= AEe] Jus =

J/]-Z‘]_j. 09_}:4]__. _"LS_ /‘9/] lﬂﬂ"g gos 7;%}—\:‘ 7)_1?:}



node = stream.create("factor", "My node")

# "Fields" tab
node.setPropertyValue("custom fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use model _name", True)
node.setPropertyValue("model name", "Factor Age")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("method", "GLS")

# Expert options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", True)
node.setPropertyValue("matrix", "Covariance")
node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract factors", "ByFactors")
node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide values", True)
node.setPropertyValue("hide below", 0.7)

# "Rotation" section
node.setPropertyValue("rotation", "DirectOblimin")
node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

F 114. factornode 4

factornode =4 %k 54 A
inputs [fieldl ... fieldN] PCA/SR] BE2 ¢fg Huo] 555 AMS3IIARE
EH*JE FFUTE 71A] B WIE dE= ARRSHA
e AR A 163 Aol 5% =9
FLE= S dss ble
method PC
ULS
GLS
ML
PAF
Alpha
Image
mode Simple
Expert
max_iterations number
complete_records flag
matrix Correlation
Covariance
extract_factors ByEigenvalues
ByFactors
min_eigenvalue number
max_factor number




I 114. factornode 578 (#<)

factornode =4 Zk =4 Ao
rotation None
Varimax
DirectOblimin
Equamax
Quartimax
Promax
delta number DirectObliming 3 dHolE] FEog Xelsh=
79 deltad) @ AW 4 YUk
7S 2SR o delta 71 MRS
o,
kappa number PromaxE 3]A dlole] fyog Melsh= A9
kappa®] #t& A8E + U
2k AaHA oM kappadl 71Egke AT
=¥
sort_values flag
hide_values flag
hide_beTow number
featureselectionnode S
> edel wub sl A23he] SWIE) MES FoR AAE U PES AT 19 T X
Pz LA -

o
%0,
rlr
Anj
o
m
=
m
N
N

0
rq
ol
X
E&
2
o,
>
9
|

Y
o
N
o
*
Y
ok
v
=

node = stream.create("featureselection", "My node")
node.setPropertyValue("screen_single_category", True)
node.setPropertyValue("max_single category", 95)
node.setPropertyValue("screen_missing values", True)
node.setPropertyValue("max_missing values", 80)
node.setPropertyValue("criteria", "Likelihood")
node.setPropertyValue("unimportant below", 0.8)
node.setPropertyValue("important_above", 0.9)
node.setPropertyValue("important_Tabel", "Check Me Out!")
node.setPropertyValue("selection _mode", "TopN")
node.setPropertyValue("top n", 15)

i)

Pedy wele 2 2 A8l BT ARG ool ials e REsAL
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I 115. featureselectionnode 5%

featureselectionnode 54 Fds =44 A
target field gee 2 2PgE idel driEes o
ZF =95 wiuth 7 2 RlE e A
Bk eEUTE AHAIEE HEE 163 #HoR|9]
[E5 =99 =t SAll] Wes =xshilAl
L.
screen_single category flag TrueQl 7%, BlF=e] & Sl Audez &
L3t Mol Bk HEET U B 2=
£ Ao
max_single_category number screen_single_categoryZ} Trued i AR&
She AIRES AR
screen_missing values flag True}! 725, A3 F ¢ HHER 3
= A5l U B JuE Ak
max_missing_values number
screen_num_categories flag True?l 79, dlFZ=9] F Fof Juldez
T B2 HFE e JeE AUt
max_num_categories number
screen_std_dev flag Truedl 73, AWE HrEoh At 22 %
= WAE 2 3uE Ao
min_std_dev number
screen_coeff of var flag Trueq! 7%, A" Haro 2y 2 &2
2 AFE 2 BeE AU
min_coeff_of_var number
criteria Pearson HTE ASHTE WYtV sl =91skd
Likelihood o, F85% gro] 7Ibe] He= S8 At
CramersV
Lambda
unimportant_below number Z8, HE = T08K ggo= iy 9
A= vl ARgskE ARE p #ES AR
o} 0.07E 1.0701] gke It
important_above number 0.05E 1.07F9] 3k STk
unimportant_label string TR &2 =9l gt dlolE-S APt
marginal_Tabel string
important_label string
selection_mode Importancelevel

ImportanceValue
TopN

select_important

flag

selection_mode”} ImportancelLevelZ 47
2 v, 38 It Y AR5 Ak

select_marginal

flag

selection_mode7} Importancelevel = 273
2 v, B It Ad ARE ARt

select_unimportant

selection_mode”} ImportancelLevel@ 47
2 o, F9s81 92 A ARE AHF

Uk




I 115. featureselectionnode 55 (A<5)

featureselectionnode £ Fds =4 A
importance_value number selection_mode”} ImportanceValueZ A%

2 o, A8 HAF gE AP 05 100
7H9 #ke ST

top_n integer selection_mode’} TopNoE A= uj, AL&
S A 3RS AEEUTE 00lAFE 1000714]
o] FhE SRUIFITE

genlinnode §4

Gulst Y mde SEHgTE a)la AFow ddEy AE JddeE FOl sHEEs A A% =
DS PR Tee] RS ARgShd S5 vt 2 s
37, 7ReE dlolddl tie 2AE Bd, 314 ST AE mde 38| A 3 2l
71s& TP

A

node = stream.create("genlin", "My node")
node.setPropertyValue("model type", "MainAndA11TwoWayEffects")
node.setPropertyValue("offset type", "Variable")
node.setPropertyValue("offset field", "Claimant")

I 116. genlinnode 5%

genlinnode €4 ¥4y 54 A9y
target field Uk} Ay male Wi w= Ze Fsofof 3}

£ oY 5 geo) shu opde] 9le dxv)
3 78 Bus A 5 ek A
3 AR 163 HoXY [35 mddy k= E4

A AESAL.

use_weight flag
weight_field field I {3S BF dA53YyTh
target_represents_trials flag
trials_type Variable

FixedValue
trials_field field g f§3L 953, T == cAEYUTE
trials_number number 7184 1044t
model_type MainEffects

MainAndAT1TwoWayEffects
offset_type Variable

FixedValue
offset_field field e fEe Ox AE5FEdYTh
offset_value number Arodof hich
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FE 116. genlinnode 575 (A1)

genlinnode S4J

k

nd
o
i

base category

Last
First

include_intercept

flag

mode

Simple
Expert

distribution

BINOMIAL
GAMMA

IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL

IGAUSS: 9719~
NEGBIN: ol

negbin_para_type

Specify
Estimate

negbin_parameter

number

ZlRgre 19U ol ohd 4
ek,

WY
i
12!
E
o

tweedie_parameter

number

Tink_function

IDENTITY
CLOGLOG

LOG

LOGC

LOGIT
NEGBIN
NLOGLOG
ODDSPOWER
PROBIT
POWER
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT

CLOGLOG: X =771-271.
LOGC: =71 K.

NEGBIN: <o°lg}

NLOGLOG: & Z1-Z71.
CUMCAUCHIT: & Cauchit.
CUMCLOGLOG: & X Z1-271,
CUMLOGIT: T4 ZAl
CUMNLOGLOG: +& & & 1-271.
CUMPROBIT: +& Z&gH]

power

number

2 Az 00] opd Aok k.

method

Hybrid
Fisher

NewtonRaphson

max_fisher_iterations

number

A 13 A =g

o,
¢
il
r



FE 116. genlinnode 5745 (Al%)

genlinnode SA4J

k

nd
o
i

scale_method

MaxLikelihoodEstimate
Deviance

PearsonChiSquare
FixedValue

scale_value

number

71Egke 19UCk 0mL} Aok FhICh

covariance_matrix

ModeTEstimator

RobustEstimator
max_iterations number 7GR 10094tE 20] ohd A4t 7Fs3uck
max_step_halving number 718G 5UUTE el Bt Thsdunh
check_separation flag
start_iteration number 7R 204U ko] AT s8gUc
estimates_change flag
estimates_change_min number 71k 1B-006 94T 5t 385Ut
estimates_change_type AbsoTlute
Relative
loglikeTihood_change flag
Toglikelihood_change_min number &Rk S8guTk
loglikelihood_change_type Absolute
Relative
hessian_convergence flag
hessian_convergence_min number it 8yt
hessian_convergence_type Absolute
Relative
case_summary flag
contrast_matrices flag
descriptive_statistics flag
estimable_functions flag
model_info flag
iteration_history flag
goodness_of_fit flag
print_interval number 718G 19Ut el arofof Tt
model_summary flag
lagrange _multiplier flag
parameter_estimates flag
include_exponential flag
covariance_estimates flag
correlation_estimates flag
analysis_type Typel
Typelll
TypelIAndTypelll
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FE 116. genlinnode 575 (A1)

genlinnode S4J o EA] A9
statistics Wald
LR
citype Wald
Profile
tolerancelevel number 718452 0.0001 4Tt
confidence_interval number 1R 95Utk
loglikelihood_function Full
Kernel
singularity tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
value_order Ascending
Descending
DataOrder
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities flag
adjusted_propensity partition Test
Validation
glmmnode S
: dntst AE S5 Z(GLMM)2 37t Wit 225 2l Agd dadsE Bl 8]l 3 st
Aoz Faso] USSR UES Ui A BdS SPRiUTh oRist A9 S5t mde o
< 419 SiFlolA] Ml A1l HlolEle] tie it T S wale] o2V Tl Reg TH
=
3 117. glmmnode 5%
glmmnode =4 4 54 A9
residual_subject_spec structured Hoe] ME WollA 7MAIE 183 AeJsk= A
e WEd Bee| ghe) 2udu,
repeated measures structured HHEEE ASGES 2eke b ARSsieE F=9dY
residual_group_spec [fieldl ... fieldN] HHE g3 FEAE 2] 5 AEES Aolsh=
B




HE117. glmmnode 554 (A<).

glmmnode =4 4 54 A9

residual_covariance type Diagonal e digh Rt TS AU
AR1
ARMA11

COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED
VARIANCE_COMPONENTS

custom_target

flag

HA2EH Tox AHoH tiid(false) T
target_fieldol oJall A== AREAl Ao] it
(true)S AR AHE AR

target_field field custom_targeto] true}l 7% tido= AR
A= B )
use trials flag A& 5 Al ST EE = s P uk
S0] Al MEA TEh= oMIE £ wf) AME-
A RS FAFUTE 7S falsedut
use_field_or_value Field LEIEGD E= fhol Al 5 AAske ol A
Value B3R=A] ARE FARRUCH
trials_field field N& 5 ZAgsieE ol AR HEJuUoh
trials_value integer A& 5 A Hl AR Fiuth AgEE
A% Aagke 194,
use_custom_target_reference flag AREAF o] e HFTE HFE el AREA
s FAY 7 falsedyth
target_reference _value string use_custom_target_reference’} true?l 4%
AREE 2 HFSIUT
dist_Tink_combination Nominal Oidol digk ko] £xE 9fgt 3% Zduct
Logit target_distributionel 23l A ¥l HSollA
GammaLog B2 A4sld Custome AesHAL.

Binomiallogit
PoissonLog

BinomialProbit

NegbinlLog
BinomiallLogC
Custom
target_distribution Normal dist_Tink_combination2 Custom® w] T/gell
Binomial ok gke] EEPuch

Multinomial
Gamma

Inverse
NegativeBinomial

Poisson
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HE 117. glmmnode 4 (A<).

glmmnode =4 4 54 A9
Tink_function_type Identity oV gk SRk}
LogC e AEFTYU
Log target_distribution©]
CLOGLOG B1'n0_m1'a1°d 735 ‘/}‘5%_
Logit T T shiEs ARE S IsUTh
target distribution©]
NLOGLOG Multinomial?l 73-%-
PROBIT CLOGLOG, CAUCHIT, LOGIT,
POWER NLOGLOG Z=i= PROBITE AREE = Slsuch
CAUCHIT target_distribution©]
Binomial T&=
Multinomial ©]2]e] T2 7191 7%
IDENTITY, LOG 5= POWERE AMES: 4= Qssuch
Tink_function_param number AR AERE EagiiuTk
normal_link function ==
Tink_function_type®] POWERS! 73-$-oll9t 8- 7}
S
use_predefined_inputs flag 34 &3 Hur) o HuEa Aojw el
(true) = fixed_effects_liste] H=(false)
A ARE BARMY 713 falseduth
fixed_effects_list structured use_predefined_inputs7} falseQl 74, 34 &
I geT AR oY FEE ARhTh
use_intercept flag true(Z1EgHel 745 2o Aus 3T
random effects list structured WHFENE AR deof B2k
regression_weight_field field N TR s AR FEUHh
use_offset None L2xAlo] A= S FARIUTE 4L None2

offset_value
offset_field

oZAe g ke SFL

offset_value number use_offseto] offset valueZ A= 74§ 2
ZAo AR YT

offset_field field use_offseto] offset_field= AAH 7% 2=
A groll AR Ut

target_category order Ascending HEY OPdel digk ¥ QU 4k Datae

Descending
Data

ofgfellM THEE AE &AE AR U AR

Shck 71Ezke Ascendinguth

inputs_category_order

Ascending
Descending

Data

w58 o] ek A2 AIUT 4k Data
£ HolEoli BAsE A £4E AL FAL

AR} 7187k AscendingUTh

max_iterations integer L)) =3 Ao vkE QU o] ohd
gerol, Z1Egke 10044
confidence_level integer md Al 1 FARS AR o ARSShk=
AUt Fo] obd Ao, Huigke 100
Y. 7RSS 959YTth
degrees_of_freedom method Fixed o ARE S8l AR ARtEE S A
Varied AUt




HE117. glmmnode 554 (A<).

glmmnode =4 4 54 A9
test _fixed effects coeffecients |Model B4 % FEA wREE ARE WYY
Robust
use_p_converge flag S S gtk SAYYTh
p_converge number T e gole] Fraduth
p_converge_type Absolute
Relative
use_1_converge flag 295 g tigk gAYk
1_converge number T Ee U] Fadunh
1_converge_type Absolute
Relative
use_h_converge flag Hessian =2 gl 3AYUTH
h_converge number I B Yol kv
h_converge_type Absolute
Relative
max_fisher_steps integer
singularity tolerance number
use_model_name flag o] ALgAL o] o]F-2 AP(true)stA it A2~
d A4 olES AH(false)steA] RS FAIRE
Utk 7)Egke falseduth
model_name string use_model_name®] true}l A5 AR mE o]
55 AP
confidence onProbability 25017 A% Alkks A3 71EYgUch H3 4
onIncrease = 3 = 1 9 F oA A dF gE A
o]o] zfeo]YPyrt.
score_category probabilities flag trueQl 7% HFE el gk o= 52 A
AUk 71Egke falseduch
max_categories integer score_category probabilities”} trueQ! 73
A A B 5 ARFFUS-
score_propensity flag truedl 7%, o) thet "true" Ay $EZ F
Alehs F# =3 gEo] A 2305 AN
Yt
emeans structure 4 B 550 7} W5 gro] A, 8+
W HS TR AFE AT
covariance_list structure 1 83 E5o 7} d&y o] A9, = F
W Hs AR o B == AR Y g
AREEA] ARE AT
mean_scale Original el e FA=rEgh) T A Hgks 7|
Transformed o g =4 P Be Ak AHE ZHqt
B1=3
comparison_adjustment_method LSD U e zhal 7Paad S i o) A =
SEQBONFERRONI A IRdUTh
SEQSIDAK
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gle EM

GLEE &3/} vl 238 2t
/\C)LJ‘:]_/\]yl 2= }JEE Ohﬂ]- A3 wdle

742 eolele] e B3 T

=21 v o

Nmox

A5 A F6) 29 P 2w Mgo welse] REGS
A

. LRk §‘r 8 &

Kelo]]

ol Tt mRle R,

HE 118 gle X

gle 54 Eds =4 A4

custom_target flag H2EH oA AHoH i (false) T
tmgﬁ fieldol ofsl A== AMEAF Ao Tl (true)

S ARSI ARE AR

target field field custom_targeto] trueQ! 7A$ tidoz ARgsH =g
ek

use_trials flag A& 5 AehE 71 BT e kS ol whSo] Al
3 /‘1]‘501]/‘1 HJske oHE Y w] ARSEA] ARE &
AT 71k falseduth

use_trials_field or value Field o Egh) == wol Al 75 AHsk=E ] AResl=

Value A ARE 3£f4§h4tk

trials_field field Al 5 APgehe bl AR Uk

trials_value integer Al FE AAEKE o] AR Bk A== A A
28k 194tk

use_custom_target reference flag AREAL Ao Fz WHETL HEE el ARER] oRE
FARUS 7% {’— alseUch.

target_reference value string use_custom_target_reference’} truedl 7 ALgg+
= BFAUT

dist_link_combination Normalldentity oidell tigk are] 2xE 93k 3% Baygych

GammaLog target_distributionol] o5l AlF=ls H3IA &

PoissonlLog
NegbinLog
Tweedieldentity
NominalLogit
Binomiallogit
BinomialProbit

BinomiallLogC

AAEE CUSTOMS: AEiaiAl L

CUSTOM
target_distribution Normal dist_1ink_combination Custom® wj ti’dol tigh zk
Binomial o] Bk
Multinomial
Gamma

INVERSE_GAUSS
NEG_BINOMIAL
Poisson
TWEEDIE
UNKNOWN




H118. gle B4 (A1)

gle 54 & = 497
link_function_type UNKNOWN WA e oZAel BEAT= A=Y

IDENTITY target_distribution®] Binomialo|H TS ARESE 4=

L0G YTt

LOGIT UNKNOWN

PROBIT IDENTITY

COMPL_LOG_LOG LOG

POWER LOGIT

LOG_COMPL PROBIT

NEG LOG LOG COMPL_LOG_LOG

0DDS_POWER POWER

NEG_BINOMIAL LOG_COMPL

GEN LOGIT NEG_LOG_LOG

U 0DDS_POWER

CUMUL_LOGIT
CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG
CUMUL_NEG_LOG_LOG
CUMUL_CAUCHIT

target_distributiono] NEG_BINOMIALO]W The-& At
| + Ik

NEG_BINOMIAL

target_distributiono] UNKNOWNO|® the-& ARRE <=
SsFLHITE

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_LOG

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

Tink_function_param number AREE Tweedie E4FIUTE normal_Tink_function
= Tink_function_type®] POWERS] 7-$-olgt 28 7}
ST
tweedie_param number ARge A8 k) dist_1ink_combination
o] Tweedieldentity® A=} 1ink_function_type
°] TWEEDIER A7l 73--olt #-8gurt.
use_predefined_inputs flag 2 gy} Fov) 1 degx Hold AJAEF(true) B
£ fixed_effects_list2] BE(false)UA] RS HA|
.
model_effects 1ist structured use_predefined_inputs”} falsedl 4% =< &3} 2
E2 AT oY =8 AT
use_intercept flag true(Z1Eghl A9 mde] dHS xshict
regression_weight_field field N TR s AR FEuth
use_offset None LAlo] A EE WS BARIUITE 7k None2 Q3zAl
Value < ARSI e oRiRhTh
Variable
offset_value number use offseto] offset valueZ A== 739 23Ald)

AR Y
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F 118 gle EX (A<)

gle 54 Fds 4 A
offset field field use_offseto] offset field=2 AHE 79 23=Al 3k
o] AgE F=Qhuct
target_category order Ascending HEE gl tigk AE sAJuUT) 7123k Ascending
Descending AuUct
inputs_category order Ascending Uy dSuad digh AE sAdUTh 7B
Descending AscendingQuyth
max_iterations integer L] S Hol v AUt S0] obd Ageo]
H, 785k 10094t
confidence_Tevel number wEl Alre] 2 FARRS Aklehs ol ANk A4S
FYUTE S0l opd Ao, Higke 10094t 71
e 959Ut
test_fixed effects coeffecients |Model B AR A wARE AL RPHAUTH
Robust
detect_outliers flag AR 7% duElgo| it BEE Aodk BE Bl o
o e oldure FEUh
conduct_trend analysis flag R 75 darElso] s =389 F4) A4S gt
ek

estimation_method

FISHER_SCORING
NEWTON_RAPHSON

HYBRID

max_fisher iterations integer FISHER _SCORING estimation methodE AME <21 4%,
Hoff REEAUTE H4 0, Ho 20994t
scale_parameter method MLE Az maro] Ao ALge WS RSN
FIXED
DEVIANCE

PEARSON_CHISQUARE

scale_value number scale_parameter method’} Fixed® AAg 7-9olut A
& 7Fsuch

negative_binomial_method MLE ol B o] S AR WS APSA L.

FIXED

negative_binomial_value number negative binomial method’} FixedZ A% 7-9-olgt
ARS- 7Fsunh

use_p_converge flag 2 Sdol] oisk AU

p_converge number T e Y] YT

p_converge_type flag = Adigk, AR = Aok

use 1 _converge flag 295 Fel gigk ST

1_converge number I e o] erpkdvinh

1_converge_type flag = Adigk, AR = Aohigk

use_h_converge flag Hessian =20l gt |-A9Ych

h_converge number T = Yoy FrRdunk

h_converge_type flag 2 = Aoigk, AR = Aok

max_iterations integer darglFo] FHE Aol W FYUTE o] ohd Aol
o, 713k 10094t

sing_tolerance integer




H118. gle B4 (A1)

gle 54 zk

use_model_selection flag

14
g
T
<,

T B md A" 9P AolE ARgo s AA

T o |
TQE{H o_LL
juisd
Y

method LASSO

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

=g g WPHS WEsY Ridges AM8Sh= 739 B

T8k el SR

detect_two_way_interactions flag

Trued! 74¢- »do Q1 e 7o) o] As2kas A
Fo7 AT}

o] Aloj= mdlo] FaEAO|H(F, AEAP} B =2 A
9] 71e} BE AP k2 739 AdEE method7t &
A AR, Lasso T Elastic NetQl 73-$ol7t ARgE o]
oF Ut

automatic_penalty_params flag

=9 Ael method”} Lasso 5= Elastic netQl 73--olqF
ARE 7Fs U

o] TrE A3} Lasso = Elastic net 5 g =
Hyl AdE FdE] 24E dEsHAL.

True}! 789- 71Egko] AR8EUTh False?l 749 #'dE
257t ARSE AR A9 3he 48 JsUTh

T

lasso_penalty_param

number

2 Mel method”’} Lasso XX Elastic neto]™
automatic_penalty params’} FalseQl 74-9-olvt AR&-
7Fs 3T Lasso?] HIEE] ke AASHIA L.

elastic_net_penalty paraml

number

=d Mel method”} Lasso ¥+ Elastic neto]™
automatic_penalty params’} FalseQl 73-$-olat ARg-
7Fs3Ut) Elastic Net 2= 12] #\dE] 2agkS 2A
SIS

elastic_net_penalty param2

number

2d Xel method”’} Lasso XX Elastic net©]™
automatic_penalty params’} False?l 7Z-9-ovl AR&-
7Fs3Ut}. Elastic Net 25 22 #dE] 253H8 A%
CRRES

probability_entry

number

AU method7} TP 27101 39l AHg 7R T
o). & =l sl F EAE Tl ol 5 due
AEAIALL.

probability removal

number

AeE) method7} T Z1R) 9ol A V5]
o A7zl ol B EAR Vo] fro) e e
AL,

use_max_effects flag

ZElE method7F TAE %%IQ1 9ol AME- 7Fedd
=3

max_effects A|o}& Apg-0= Aehch

Falsedl 7 3k aafe] 7|Egke =dd Algd &
e} F oA Ae wh gk Zolok Fhch

max_effects integer

WA A7 A PEe A8 wlel H) &3t 8 A
.

use_max_steps flag

max_steps A|o}E ARE-OF HAFRCH
False?l 7-¢ 9] 7|Egte =dldl AlgE a3te]
o] 3ufellA] HHS Wl i} Zojok hick
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H118. gle B4 (A1)

gle 54 Fds 4 A

max_steps integer AR A7 2 methodE AREE uf) 283 2] ©A|
TE ARk

use_model_name flag o] ARgAL Ao o]5-S A (true)stAt Al2-El A4
olF& AM8(false)sh=Al s FAU. 71Eg
falseuct.

model_name string use_model_name®| true}l - AM8E 2d o]&-E A
At

usePI flag trueold 52+ Fowrt AkkEUT

kmeansnode S

®

of| A

node = stream.create("kmeans", "My node")
# "Fields" tab
node.setPropertyValue("custom fields", True)

[eR LN
3 MEHOR YRS TR Aelel, F7h ARs o ok me
o

=

K37 e dole] AES Tf I8(EE £3)08 Tk of Wie 348 ol P H
N

T
=
i

]
i
2
5
ﬂF
fu)
23
-
ol
M
rlo
N
o
off
&
&
il O
£
i
>
i
>
t
®
jincs
1
il
(1
Y

node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K", "Age"])

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.
node.
node.
node.

setPropertyValue("num clusters", 9)
setPropertyValue("gen distance", True)
setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label prefix", "Kmeans ")
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop_on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)
node.setPropertyValue("encoding_value", 0.3)

3£ 119. kmeansnode 5%

setPropertyValue("model name", "Kmeans_ allinputs")

kmeansnode £4J Zr

=4 A

inputs [field] ... fieldN]

K- 29 Qg e AEd] oish SHEAe
SRR B3 BEE AMSSH ek 715
3 NS Yot R8s gtk AR ARE
[163 ATl T35 =09 w= Sl vhee

PEXERrS

num_clusters number

gen_distance

flag




FE 119. kmeansnode 54 (A%)

kmeansnode 54 43 54 A4
cluster_label String
Number
label_prefix string
mode Simple
Expert
stop_on Default
Custom
max_iterations number
tolerance number
encoding_value number
optimize Speed Re Zo] L e wme]o] tis Ao
Memory oF sh=A] e AAsh= tl ARSI

knnnode &M

Eo| W5 T gt A RIUTE AR Aol ME Tolell Q1L fARHA] e Alo)

= A=

S

@ KNN(k-Nearest Neighbor) === Al Alo|~E k7 AR olEA; F1kllA] 71 7W7tololl = k 284

2] ol Qe

of| A

node = stream.create("knn", "My node")

# Objectives tab

node.setPropertyValue("objective", "Custom")

# Settings tab - Neighbors panel
node.setPropertyValue("automatic_k selection", False)
node.setPropertyValue("fixed k", 2)
node.setPropertyValue("weight by importance", True)

# Settings tab - Analyze panel
node.setPropertyValue("save distances", True)

3£ 120. knnnode %

knnnode 54 43 54 A
analysis PredictTarget
IdentifyNeighbors
objective Balance
Speed
Accuracy
Custom
normalize_ranges flag
use case_labels flag e wAES 7FssAl sk 11 Ak
case_labels_field field
identify focal cases flag o FAE 7FssA she gRl ARk
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E 120. knnnode % (AI%)

knnnode 573 Tk =4 A4
focal cases_field field
automatic_k_selection flag
fixed k integer automatic_k_selectio’} False?l 7Z-$-ollut A}
&
minimum_k integer automatic_k_selectioZ} TrueQl 74-9olat ALE.
maximum_k integer
distance_computation Euclidean
CityBlock
weight_by importance flag
range_predictions Mean
Median
perform_feature_selection flag
forced_entry_inputs [fieldl ... fieldN]
stop_on_error_ratio flag
number_to_select integer
minimum_change number

validation_fold_assign_by field |flag

number_of_folds integer validation_fold_assign_by_field”} False<]
73 -olRt AR

set_random_seed flag

random_seed number

folds_field field validation fold assign by field7} TrueS! 7
Solgk ALg-

all_probabilities flag

save_distances flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity partition Test
Validation

=
kohonennode §%
F59 LT HolE] MES T4 IR0 FHSRIE © ARE 5 Q= AEW f8S AU o)
EQTr} 9ds] SaEm, $4} dlFss 29 9 vlo] QAL TR glass Wel "old e A 9y
2 WA 7 Bople A TSRS A 29 Te)E AlEe 4 QiU oS Y 71
srol] ThEF 72k AR A QU

oA
node = stream.create("kohonen", "My node")
# "Model" tab

node.setPropertyValue("use model name", False)



node.setPropertyValue("model name",

node.setPropertyValue("stop on", "Time")
node.setPropertyValue("time", 1)

node.setPropertyValue("set random seed",
node.setPropertyValue("random seed",

node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode",

"Expert")

node.setPropertyValue("width", 3)
node.setPropertyValue("length", 3)

node.setPropertyValue("decay style",
node.setPropertyValue("phasel neighborhood",

node.setPropertyValue("phasel eta", 0.5)
node.setPropertyValue("phasel cycles", 10)

node.setPropertyValue("phase2_neighborhood",

node.setPropertyValue("phase2 eta", 0.2)
node.setPropertyValue("phase2_cycles", 75)

3£ 121. kohonennode £

True)
12345)

"Exponential")

"Symbolic Cluster")

kohonennode £4J

k

=
59 mAle oY We B AMgSHIR B

inputs |fieldl ... fieldN] =5
£ AMgsH Utk NI 8 7 MeE AR
ﬂ*l“éﬂﬂ-ﬂﬂﬁlzﬁf163ﬂ 1719 135
Pl e e
continue flag
show_feedback flag
stop_on Default
Time
time number
optimize Speed FE o] &5 e =2l ozl HAgkE]o
Memory oF =A] 75 Agsl= Hl AR
cluster_label flag
mode Simple
Expert
width number
length number
decay_style Linear
Exponential
phasel neighborhood number
phasel_eta number
phasel cycles number
phase2_neighborhood number
phase2_eta number
phase2_cycles number
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linearnode A

o AR 3] RS HaEoh sh o] diEHs te] AR WAIE TMes &Y HRE Jd

©

A

node = stream.create("linear", "My node")

# Build Options tab - Objectives panel

node.setPropertyValue("objective", "Standard")

# Build Options tab - Model Selection panel

node.setPropertyValue("model selection", "BestSubsets")
node.setPropertyValue("criteria_best subsets", "ASE")

# Build Options tab - Ensembles panel

node.setPropertyValue("combining_rule categorical", "HighestMeanProbability")

3£ 122. linearnode 7.

linearnode =4 Zk Ex Ao
target field e Ea geE AeTh
inputs [fieldl ... fieldN) o] AN dERg 2=
continue_training_existing_model |flag
objective Standard psm Tl-g- 2 HlolE] MEe| AR A E
Bagging o] Hashch
Boosting
psm
use_auto_data_preparation flag
confidence_level number

model_selection

ForwardStepwise
BestSubsets

None

criteria_forward_stepwise

AICC
Fstatistics

AdjustedRSquare
ASE
probability_entry number
probability removal number
use_max_effects flag
max_effects number
use_max_steps flag
max_steps number
criteria_best_subsets AICC
AdjustedRSquare
ASE

A 13 A 2d

o,
¢
il
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3£ 122. linearnode 7% (Al%5).

linearnode £4] o Ex] o]
combining_rule_continuous Mean

Median
component_models_n number
use_random_seed flag
random_seed number
use_custom_model_name flag
custom_model_name string
use_custom_name flag
custom_name string
tooltip string
keywords string
annotation string
linearasnode §4

© B39} Sht ol o Y WS AW A%y BEg ST

g Ay 37 =23

% 123. linearasnode %

Tinearasnode 54 44 54 A
target field T Hx =E AU
inputs [fieldl ... fieldN] Fgo] AMERE dE&Hs e

weight field

field

Sdlo] ARgsh=s w4 =

custom fields flag 7142 TRUEUTH

intercept flag 71EgES TRUEYYTE

detect 2way_interaction flag P FAEE THEA ARSI 7Rk
TRUEYYTh

cin number =4 Al FAgE Ak f18l AReSshE Al
= RS 020 31 10085 2R 3hs A
AL, 71Egke 953U

factor_order ascending HEY dSdge] AE sAJUTh 718 gk

descending ascendinguych

var_select_method

ForwardStepwise
BestSubsets

none

AR B e HPEQUT) 1Rk
ForwardStepwisequUt}.
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3 123. linearasnode 5% (AI%5)

Tinearasnode 54 k4 =4 A4
criteria_for_forward stepwise AICC ZloA 5 F7} e AAElof sheA| ofF
Fstatistics 5 E3P] S /\F&OF AU 71k
AdjustedRSquare AdjustedRSquareduTch.
ASE
pin number o] AAE pin AL vRke] 71 22 p-gEe zh
= Zpt =2 FEUR 7R 0,059
=3
pout number zelof| A o] XA pout YAIRKRT 2 p-akS 2t
© Ee & AUk 718k 0,104tk
use_custom max_effects flag ZE ok Ao 53 55 AREA oY)
o} 71Egke FALSESIYCH
max_effects number HF oA AR Ao &3 YU 7RGk
< 194tk
use_custom max_steps flag Ho A = AR oRdUTh 71EERS FALSEY
Yk
max_steps number A AE darjgo] FAlsk] Ao A 9A 4
Pyt 7GRS 194t
criteria_for_best_subsets AICC AR 71 REYUTH
AdjustedRSquare 7187kS- AdjustedRSquareguyctt.
ASE
logregnode §4
Lo EA2E AL oY FE S Ve R YIeE BRshe A 7YY Y 79t FARBEARE
LY 2 e il B EaE FuE AR
=Ty
=

node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use model name", True)
node.setPropertyValue("model name", "Log reg Drug")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("logistic_procedure", "Multinomial")
node.setPropertyValue("multinomial_base category", "BP")
node.setPropertyValue("model type", "FullFactorial")
node.setPropertyValue("custom terms", [["BP", "Sex"], ["Age"], ["Na", "K"]])
node.setPropertyValue("include constant", False)



# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale value", 3.0)
node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)
node.setPropertyValue("1_converge", "1.0E-3
node.setPropertyValue("p_converge", "1.0E-7
node.setPropertyValue("delta", 0.03)

# "Output..." section
node.setPropertyValue("summary", True)
node.setPropertyValue("Tikelihood ratio", True)
node.setPropertyValue("asymptotic_correlation", True)
node.setPropertyValue("goodness fit", True)
node.setPropertyValue("iteration history", True)
node.setPropertyValue("history steps", 3)
node.setPropertyValue("parameters", True)
node.setPropertyValue("confidence interval", 90)
node.setPropertyValue("asymptotic_covariance", True)
node.setPropertyValue("classification table", True)

# "Stepping" options
node.setPropertyValue("min_terms", 7)
node.setPropertyValue("use_max_terms", True)
node.setPropertyValue("max_terms", 10)
node.setPropertyValue("probability entry", 3)
node.setPropertyValue("probability removal", 5)
node.setPropertyValue("requirements", "Containment")

ofg}t oA

node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Cholesterol")
node.setPropertyValue("inputs", ["BP", "Drug", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model _name", False)
node.setPropertyValue("model name", "Log reg Cholesterol")
node.setPropertyValue("multinomial_base category", "BP")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("binomial method", "Forwards")
node.setPropertyValue("Togistic_procedure", "Binomial")
node.setPropertyValue("binomial categorical input", "Sex")
node.setKeyedPropertyValue("binomial _input_contrast", "Sex", "Simple")
node.setKeyedPropertyValue("binomial input_category", "Sex", "Last")
node.setPropertyValue("include constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
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node.setPropertyValue("scale value", 3.0)
node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("1 converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section
node.setPropertyValue("binomial output display", "at each_step")

node.setPropertyValue("binomial_goodness of fit", True)
node.setPropertyValue("binomial _iteration_history", True)

node.setPropertyValue("binomial_parameters", True)
node.setPropertyValue("binomial ci_enable", True)

node.setPropertyValue("binomial ci", 85)

# "Stepping" options

node.setPropertyValue("binomial removal criterion", "LR")
node.setPropertyValue("binomial_probability removal", 0.2)

3 124. logregnode 5.

Togregnode £+ 43 E4 Ay
target field EA2E 3HEA pde k) Bx Peo) shi
ohdel g Werk Waghich WE 2 715 B
S A o3yt AR s 163 STo]
[ T35 29 =t =91k] s Fxstl
AL
logistic_procedure Binomial
Multinomial
include_constant flag
mode Simple
Expert
method Enter
Stepwise
Forwards
Backwards

BackwardsStepwise

binomial_method Enter
Forwards
Backwards
model_type MainEffects FullFactoriale] B o= 2dd u) oAl

FullFactorial

Custom

3} WP A 79l A=A Ut )
Al Enter7} ARESR= WA=k
24 f3o] CustomO = AH=XNE AREA}F A9

BEsh AgEA S S, FE melo] Ay

custom_terms

[[BP Sex][BP][Age]]

multinomial_base_category

string

FiErt wass RS AU

binomial_categorical_input

string

o,
r
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£
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I 124. logregnode 5% (7<).

Togregnode £+ ¥4y 54 Ay
binomial_input_contrast Indicator opul7y hEEE S AREkE BT YY)
Simple gk 717} e EEYYTh
Difference
Helmert
Repeated
Polynomial
Deviation
binomial_input_category First 77t wavs BPHE Ashs B o
Last o gk 71} e E4YYT
scale None
UserDefined
Pearson
Deviance
scale_value number
all_probabilities flag
tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
min_terms number
use_max_terms flag
max_terms number
entry criterion Score
LR
removal_criterion LR
Wald
probability_entry number
probability_ removal number
binomial_probability_entry number
binomial_probability_removal number

requirements

HierarchyDiscrete HierarchyAll
Containment

None
max_iterations number
max_steps number
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I 124. logregnode 5% (7<).

logregnode 57 Tk =4 A
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
delta number
iteration_history flag
history_steps number
summary flag
1ikelihood_ratio flag
asymptotic_correlation flag
goodness_fit flag
parameters flag
confidence_interval number
asymptotic_covariance flag
classification_table flag
stepwise_summary flag
info_criteria flag
monotonicity measures flag

binomial_output_display

at_each_step
at_Tlast_step

binomial_goodness of fit flag
binomial_parameters flag
binomial_iteration_history flag
binomial_classification_plots flag
binomial_ci_enable flag
binomial_ci number
binomial_residual outTiers
all
binomial_residual_enable flag
binomial_outlier_threshold number
binomial_classification_cutoff number




I 124. logregnode 5% (7<).

Togregnode £+ ¥4y 54 Ay
binomial_removal criterion LR
Wald
Conditional
calculate_variable_importance flag
calculate_raw_propensities flag
Isvmnode EM
A8 A WE HALSVM) =55 ARSSHH 43 glol F 79 I F shE dlolEE &7 T 3
U LSVME 3ol tie] dlzs) ghe dlole] AlEeh 2o sled Hlole] AlEst g 2 =
YT
3£ 125. Isvmnode 7
1svmnode £4J 43 Ex Ao
intercept flag mdlof| HHS 23Rk 7Rk &y
=3
target_order Ascending HEE il tigk A8 415 AR
Descending A&E didelMe FAEYT 712G
AscendingQuTh.
precision number 53 grof =4 4520] Continuoussl 7
Follgt ARG SRS 4ol gk
Wreel deE BaeE AREUSh Hagk
< 00]aL Heigke stk 71Egke 0.1
AuiTt.
exclude missing_values flag 21 7S T grol ASEW g=ert Al
AU 71ERES Falsedytt
penalty function L1 A= #EE B RS A 7
L2 Bzke L2yt
Tambda number HEEHETsh Eagunh
calculate variable_importance |flag Q50| A3 225 AYXsh= o o
3 o] g EEE FAske 7 dSHs
o] Fl FREE FAhe AEE FAY
ot ¢F mele] A9, 53] tiy vlolguo]
=0} AHsh= 9ol ¥F FREE Akt
= ARk 28 A9 4 e 1 Adt
2 YR melo] AP V[EORE Zolg F ¢
FUTE HF T8 5= X E2d 55 2Hd
AR giFUTH
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neuralnetnode M

Fo): AAYW mdE] o] 7)k5o] Ak A Bzlo] o] Ha|xoA] ARE 7VsEh TS A(neuralnetwork)
oA AEUIE ok ol ML ALgSle] B AYSIL 230 B 5 YA A MACE AMgIHE
= 2TOHES YUlolEY Zle AT, ofd wRe] AltARYe] xS el of7]el EEEunh

A

node = stream.create("neuralnet", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("targets", ["Drug"])
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
# "Model" tab

node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train _pct", 30)
node.setPropertyValue("set random seed", True)
node.setPropertyValue("random seed", 12345)
node.setPropertyValue("stop on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
node.setPropertyValue("time", 3)
node.setPropertyValue("optimize", "Speed")

# "Multiple Method Expert Options" section
node.setPropertyValue("m_topologies", "5 30 5; 2 20 3, 1 10 1")
node.setPropertyValue("m non _pyramids", False)
node.setPropertyValue("m_persistence", 100)

3 126. neuralnetnode 4%

neuralnetnode £4 4 54 A9
targets [fieldl ... fieldN] AR so= i ool Hak o) shi o
o) g Wer) Wagun W= 9 /K Wes
FAEUTE ApAIgE AR (163 HolAe] [E5 &
E AR uig s FES,
method Quick
Dynamic
Multiple
Prune

ExhaustivePrune

RBFN
prevent_overtrain flag
train_pct number
set_random_seed flag
random_seed number
mode Simple

Expert




3 126. neuralnetnode 5% (7<)

neuralnetnode 54 %k =44 A4
stop_on Default FA B&,
Accuracy
Cycles
Time
accuracy number At =
cycles number =4 F71.
time number =4 A
continue flag
show_feedback flag
binary_encode flag
use_last_model flag
gen_logfile flag
logfile_name string
alpha number
initial_eta number
high_eta number
Tow_eta number
eta_decay_cycles number
hid_Tlayers One
Two
Three
h1_units_one number
h1_units_two number
h1_units_three number
persistence number
m_topologies string
m_non_pyramids flag
m_persistence number
p_hid_layers One
Two
Three
p_h1_units_one number
p_hT_units_two number
p_h1_units_three number
p_persistence number
p_hid_rate number
p_hid_pers number
p_inp_rate number
p_inp_pers number
p_overall_pers number
r_persistence number
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3 126. neuralnetnode 4 (A<5)

neuralnetnode S Fds 4 A
r_num_clusters number
r_eta_auto flag
r_alpha number
r_eta number
optimize Speed 2d o] &5 = wEed tis) HHs)E o]
Memory of F=A] oJHE A= |l AR
calculate_variable_importance flag Zan: ozl djzellA] ARESE
sensitivity analysis 542 o] EAS 9l o
ol ALgEHA etk oH B4o] of X
ATt calculate_variable importance’} B4H
U,
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test
Validation

neuralnetworknode EA

AT wE= Q7 Fuy) ARE Hesls
51&\} FEAEE e o P AE] AXE AEHO]
_# 83P7] Sl oRte] BAl ==

e
o
21"
N
)
i

of| A

node = stream.create("neuralnetwork", "My node")

# Build Options tab - Objectives panel

node.setPropertyValue("objective", "Standard")

# Build Options tab - Ensembles panel

Mol Teslel Bl AR Frele] S WAe Be
ol AQighic), AR AR We B4 Aol
Aje] Waghick,

node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

X 127. neuralnetworknode E%
neuralnetworknode £+ ¥4 54 A
targets [fieldl ... fieldN] 532 Io8 A
inputs [fieldl ... fieldN) o] AMSShE dERg 2=
splits [field] ... fieldN £ mdg] A8 B=E ARk
use_partition flag vepd =7t Aol e, o] wade Fd e
o] dloERt BES sl Hl AMSSIESE BA
=
continue flag 71E 59 sy Al
objective Standard psm wl-g- 2 HlolE] MEe| AR A 4E
Bagging o] Io3hc}
Boosting
psm

o,
{-r
il
£
[\°]
p—
wn
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3 127. neuralnetworknode 5% (7<)

neuralnetworknode S*J

2k

._z\al x;-_!:d

method

MultilayerPerceptron
RadialBasisFunction

use_custom_Tlayers flag
first_Tayer_units number
second_Tayer_units number
use_max_time flag
max_time number
use_max_cycles flag
max_cycles number
use_min_accuracy flag
min_accuracy number
combining_rule_categorical Voting
HighestProbability
HighestMeanProbability
combining_rule_continuous Mean
Median
component_models_n number
overfit_prevention_pct number
use_random_seed flag
random_seed number

missing_values

listwiseDeletion
missingValueImputation

use_model_name boolean
model_name string
confidence onProbability
onlncrease
score_category probabilities flag
max_categories number
score_propensity flag
use_custom_name flag
custom_name string
tooltip string
keywords string
annotation string
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questnode 4

P QUEST ==+ i 2A EE 2gsl] 918 ol &1 WS Algsi, iy C&R Eg] 4o 2
ﬂi?j a3 A AREE Sole Al B Bl oA e S S o B2 288 d8she s A
= TEE AAENEUCE YUY s A MY F AT T e HFgolojok itk B
e =R =
oA
node = stream.create("quest", "My node")
node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("model_output_type", "InteractiveBuilder")
node.setPropertyValue("use tree directives", True)
node.setPropertyValue("max_surrogates", 5)
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("use_percentage", False)
node.setPropertyValue("min_parent records abs", 40)
node.setPropertyValue("min_child records abs", 30)
node.setPropertyValue("prune_tree", True)
node.setPropertyValue("use_std err", True)
node.setPropertyValue("std_err_multiplier", 3)
3£ 128. questnode 5%
questnode 54 * £ Ay
target field QUEST =&l shie] Ex 9 sh} oldel 19
Jert Bajhict Wix dew A F dFY
o}, AR ARE (163 FHolXe [ mdy i
Hige S
continue_training_existing_model |flag
objective Standard psm u$- = HlolE] MEo| ALgShH A d4
Boosting o] »ashic}
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree directives string
use_max_depth Default
Custom
max_depth integer 0FEl 1000719 Hd EF olygyrt.
use_max_depth = Custom$l Z3$-ollvk AR&Fh T}
prune_tree flag TGS A sl ERE 7R IR
use_std_err flag (FF 2AJolA) 2189 A zlelE ARgsHA L
std_err_multiplier number Ao Zeldyct.
max_surrogates number Hdl AEACIEYUTE
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I 128. questnode 5% (Al1%5)

HighestMeanProbability

questnode £4J 7k 54 Ay
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured T=3} EAAYUYH
priors Data
Equal
Custom
custom_priors structured TZE3t 49U
adjust_priors flag
trails number B e e g 84 2E guh
set_ensemble_method Voting HEE el gk 71 A% Rguch
HighestProbability

Validation

range_ensemble method Mean A4 gl tigk 71 A3t RIYguck
Median

large_boost flag o 2 dlolg] AEe] F28E A8

split_alpha number & frolrEdunt

train_pct number I A AEQUT

set_random_seed flag A} B $AU9Ych

seed number

calculate_variable_importance flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity partition Test

randomtrees M

Eg] ot U E2lE A7) 98 Y Hele

dy Eg] =& 7]¥ C&RT

@ = APleles AAELOM, SPSS Modeler HIA 170] 2719 28 Hololx] Aghe e wEe wA
Tk WY Ev) LT ) BERS Zst BRSEE o AT 5 gl oA vl ANE
Utk o] e A2 S ALgste] 2} Bt Bess HAzslslel FY dEcg AIUES
& o)A Efje] xtE te] Aolze] 100%7t tld Be] 54 el &b o= 5

U 25 9 99 Wer S Re) Ee EE

AUk F o) Fheh.
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3 129. randomtrees £%

randomtrees 5S4 k4 =4 Y
target field Ay Ef] koA ZEll o) Exe) s ol
o] ¥ F=rt Hadhnh Rk dur S 4
SRFUTE. AHE AR [163 ool T35 wd)
[ == TP wse i
number_of_models integer e mdlEge] gRE S wdl =5 hE
Yok
use_number of predictors flag number_of_predictors®] AME- AR5 FPEF
=g
number of predictors integer g 2hS 2w AR EA 5 AR
Yk
use_stop_rule for accuracy flag IS A F gls w B A T o
FE whEh
sample_size number g~ & dlole] AES XejE ) Ass AP
A o] S FoNAlL.
handle_imbalanced_data flag 2 ool B4 91 Adfelal Wske A3 o
A o= Aol HIEo] g ZhoH TolE 9]
7o) BE| a1 mdllo] gt BB RESE
=o] Bdlo] Aolno] IS & F UFUTE B
o] sz Aol o g PR sk o A
Het RS A 4 UASE B33 vloH A
gE ARBMIALL
use_weighted sampling flag AAR] 749 78 =] Wgvt SYst dEE 99
AR} 2RI 7 wiavt sk 7isEa A
g
max_node_number integer M Egle] s185E =to] o FYuth Tt
TelA o] a7t 23 Erf Aol AR
=g
max_depth integer o] Ad w7iRle] Aol Eg] Zloluth
min_child_node_size integer &9 =Tt 28 5 5k ol SEEE d=
Eo] Hh 5 WERUTE 319 k&Y Hee
7} o7lell AE FrE 2om 9] ) B
HA sk
use_costs flag
costs structured T=3 EAYUYYE 8212 AA 7, dEat 2 o
Zo] 9l 799 HlE<2l 3 g E=EJYrh o
tree.setProperty Value("costs", [["drugA", "drugB",
3.0], ["drugX", "drugY", 4.0]])
default_cost_increase none Far: Ay E3poY ARSE S QiU
Tinear H-§ WA 7S AAEIAL.
square
custom
max_pct_missing integer Ao} AZghell tigh HREZL oA7]ol] AAH gk

Hop g9 d=o] Alelgunk. Hagk 0, Hoigk
100.




I 129. randomtrees 54 (A1<5)

randomtrees 54 7k Ex Ay

exclude_single cat pct integer shupe]l W gro] of7loll Ade HAERTE &
g HHES Ve =2 ZgolM A 2
=ob AlekdUS gk 10]al Hoigke 9944

=3
max_category_number integer o] HE 47} o] ghe 8P E 2PAellA
Jorh APEUTh HAagke 29Ut
min_field_variation number 9&E deo] WAL o] fEth 2how wd
Aol BE7t A ePEUT
num_bins integer tlolel7} A4d dHor FHEE AApolnt ARE
PPt

Uk Al AR T NIE 77 FE 4
AR, & 2, 4, 5, 10, 20, 25, 50 E=

it

10044t}
regressionnode S5
= Y B HlolEE QoREASL dlE 8 A 29 3 Alole] BUNE HAxshe AMolt EHe] A

B APl Ble] 53] 13k uiQ) A ZPEIc

o

Har IR kee A5 dEfzolA AF k== vl AIUnh ASHE AR Sl s Ad 24
A

node = stream.create("regression", "My node")

# "Fields" tab
node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use weight", True)
node.setPropertyValue("weight field", "Drug")

# "Model" tab
node.setPropertyValue("use_model _name", True)
node.setPropertyValue("model name", "Regression Age")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping_method", "Probability")
node.setPropertyValue("probability entry", 0.77)
node.setPropertyValue("probability removal", 0.88)
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node.setPropertyValue("F_value entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)

# "Output..." section
node.setPropertyValue("model fit", True)
node.setPropertyValue("r_squared_change", True)
node.setPropertyValue("selection criteria", True)
node.setPropertyValue("descriptives", True)
node.setPropertyValue("p_correlations", True)
node.setPropertyValue("collinearity diagnostics", True)
node.setPropertyValue("confidence_interval", True)
node.setPropertyValue("covariance matrix", True)
node.setPropertyValue("durbin_watson", True)

3 130. regressionnode 5%

regressionnode £4J 7k EA4 "é
target field 39 3% Feeo} i olde] S g
=7} 7V MEE ARE 5
2 |63:ﬂ°bﬂelﬁ445
method Enter
Stepwise
Backwards
Forwards
include_constant flag
use_weight flag
weight field field
mode Simple
Expert
complete_records flag
tolerance 1.0E-1 Qlpe]| FME3EE ARSSHIALL.
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP :
useF useF: F-gk A&
probability_entry number
probability_removal number
F_value_entry number
F_value_removal number




I 130. regressionnode 5% (A=)

regressionnode S*J 7k £ Ay

selection_criteria flag

confidence_interval flag

covariance_matrix flag

collinearity_diagnostics flag

regression_coefficients flag

exclude_fields flag

durbin_watson flag

model_fit flag

r_squared_change flag

p_correlations flag

descriptives flag

calculate_variable_importance flag

sequencenode 4
Za ST wEe e} me ARE AF ol G FAS WAL SATFAL oF Thsd AR
TR ‘:‘W)‘OI-‘: o] e A AE 554U olE S0, 1|9t ofzEleln 248 Fullske e o

w=
y— £ 4 ol Aol REE SRE AT S SgUn SRR s S 2 o 2R 2h

HPES ARSSR= CARMA 93 713 duglEs 7o g huch

o)A

node = stream.create("sequence", "My node")

# "Fields" tab

node.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("use_time_field", True)
node.setPropertyValue("time_field", "Datel")
node.setPropertyValue("content fields", ["Drug", "BP"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Sequence_test")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("min_supp", 15.0)
node.setPropertyValue("min_conf", 14.0)
node.setPropertyValue("max_size", 7)
node.setPropertyValue("max_predictions", 5)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("use max_duration", True)
node.setPropertyValue("max_duration", 3.0)
node.setPropertyValue("use pruning", True)
node.setPropertyValue("pruning value", 4.0)
node.setPropertyValue("set_mem sequences", True)
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node.setPropertyValue("mem_sequences", 5.0)
node.setPropertyValue("use gaps", True)

node.setPropertyValue("min_item gap", 20.0)
node.setPropertyValue("max_item gap", 30.0)

F 131. sequencenode 57

sequencenode 543 ¥4 54 A4

id_field field A2 RS ZPgetEd ID 8=, AdEA ARE F
= 5l s opde] 8 F=s Aslok Syt
e R A
ArE 163 Holxe] 3% Fdy k-t E4 k)
W8-S Fxshiile

time field field

use_time_field flag

content_fields [fieldl ... fieldn]

contiguous flag

min_supp number

min_conf number

max_size number

max_predictions number

mode Simple

Expert

use_max_duration flag

max_duration number

use_gaps flag

min_item_gap number

max_item_gap number

use_pruning flag

pruning_value number

set_mem_sequences flag

mem_sequences integer

slrmnode &M

SLRM(Self-Learning Response Model) =55 ARSSIH Pl Al Alo|2 T 4570 Al Alo|2~& A}
431 BE HoEE AMSShe BES Augd I8 §lo] ZES APrIE 4 Qe 2Ee 2T 4 Q)

P

SUTH

A

node = stream.create("slrm", "My node")
node.setPropertyValue("target", "Offer")
node.setPropertyValue("target response", "Response")
node.setPropertyValue("inputs", ["Cust_ID", "Age", "Ave Bal"])

A 13 F mdy v= 24 223



3% 132. slrmnode £7%

slrmnode 54 2 54 A4

target field 5 doe WEY e 0 Jxojof dYch
e Jet 28T JFUSh ARG BrRe
[163 Hoxo] [F5 FdF -t EAJe] U8-S
23N L

target_response field o] Ze1eoF Fhch

continue_training_existing _model |flag

Descending

target_field_values flag Use all: £229] BE & ARSTH
Specify: a3t kS AeSIAIL.

target_field_values_specify [fieldl ... fieldN]

include_model_assessment flag

model_assessment_random_seed number Alredof

model_assessment_sample_size number Agredof .

model_assessment_iterations number HHE 34

display_model_evaluation flag

max_predictions number

randomization number

scoring_random_seed number

sort Ascending a1l e HA 2FAE 2= ARbe] As FA

A e AT

model_reliability flag

calculate _variable_importance flag

statisticsmodelnode &M

A vy = A}%ﬁ]—ﬁ PMML-& AJA3= IBM SPSS Statistics E'E'/\]H% /\E‘ﬁﬂé}oﬂ EI]OIE1% B
M3k ZIEH 4= 9Lt o] =t [BM SPSS Statistics®] AFEF AREo] Washic)

o] xEo] EAL 314 Ho]A¢] [statisticsmodelnode E43JPIA AUt

stpnode §4

®

& ZsRs o BT & ldrk

F 133. stpnode 54

STP(Spatio-Temporal Prediction) == 9J%] HloJE], dZ(Z2hS 93 98 =, AR 2 9 2%
g zske dolElE ARSUTE ZF IRjolls ZF 24 ARl ZF dlEae] 3he VERE tlelEld]
og] go] JYFUTt. HolEE B4 ol #A0 ARgE EoF tloE oA ofd HX|eME BEE gk

stpnode £4 dlofe] #3

£
ﬁ

g= 5
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3 133. stpnode 549 (AI%5)

stpnode S4J dloje] 43 Ex Ao

target field oA Exx F=uch

Tocation field zelo] 9% ek Aelgitd Pk
SeggUn

Tocation_label field TocationollA] AElg 9XE #lolEslr] 9
s Sl AMgSHE WY Be

time_field field walo] A7F Puduth 94y ZAS zk=

Rk SEE, A fPS AR G, A
7kaQ) EE gorefo} Shick

inputs [fieldl ... fieldN] Y oo E2

ARk T2

interval_type_timestamp Years
Quarters

Months
Weeks
Days
Hours
Minutes

Seconds

interval_type_date Years
Quarters

Months
Weeks
Days

interval_type_time Hours STP7} ARkl AM83l= ARE A8 288
Minutes o asEE Y IS AR

Seconds

interval_type_integer Periods tlofe] AEZ}F WgkE Ae]uct A8 7hs
(ARE A BERL A AP g1 |3 Adele 2o tia)] time_field= A9
whe Zeo] A {3 wet oy

period_start integer

start_month January Rdlo] Arsisly] AlRsR= J‘?J"]‘:H"i% =
February o], March® AA=R|TF gloJg] MES] 3] H
March A FF=7} JanuaryE AREE A9, 2l
= A5 7 UEEE UL 39 x5t

April
= AERD.

May

June

July
August
September
October

November

December




3 133. stpnode 549 (A%)

stpnode =4 dloje] 43 =4 Ao
week_begins_on Sunday dlo|E|ZRE] STPol oJal ZHdsl= AIRE A
Monday o] A JU
Tuesday
Wednesday
Thursday
Friday
Saturday
days_per_week integer 19 Ro=7 HA 1, HU 7
hours_per_day integer Selo] shol] thel] areshs AREIUT:. 10
o7 HAAE= 749 mele day begins_at
ARl A3l ARk 1041 B9 2|4
3= A3 %, day_begins_at #3 =i
e ohe #ko=E gy
day_begins_at 00:00 2do| A3lE ARfslE ARY 3k AR
01:00 yoh
02:00
03:00
23:00
interval_increment 1 o] FE AL F Ee 25 93 Addth
2 ozl mdlo] Hlo[H2RE A4E A8l
3 A oAFE FERULE T EE FEo] 300]
4 3 X f3o] secondsY W mEl2 30x
5 nit} vlolB2HE] AFE Mgk
6
10
12
15
20
30
data_matches_interval Boolean NoZ A== —°r, il interval_type

o =] HolE] wigte] mello] 2PE]] Ao
T

Hlo]El7} oW SukE 33"101
interval type ¥ =&
£} dlolEle} wixsl= -"?‘,
Aste] dlofele] wglo M’ TS e
oPFtE YE AHEIH BE B3 Al A
SR T

m

=]

i

[

nd

do o >

°]
2
Al

rJ

o
o
—<

2
1:2
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3 133. stpnode 578 (A%)

stpnode 5 dlefe] 73 =4 A4
agg_range_default Sum ol A5y duof ARgskE 7R S
Mean HE WEPUTE AR o FolM 5
Min 3] TPHA Be BE 95T L= o)l
Max A AR BHE ARgSle] SV
Median
1stQuartile
3rdQuartile
custom_agg [[field, aggregation TZ3lE EA
method], []..] 22IHYE W= custom_agg
& o:
[['x5" 'FirstQuartile']['x4"|set :stpnode.custom agg = [
*Sum']] [fieldl function]
[field2 function]
1
o714 function 3lF L=o ALY B
& AU
71 5
include_intercept flag
max_autoregressive lag integer 18] SEo= A4 1, FAd 594 o

A5 #el ezt ofd dE= YU w
oA dlE S0 52 AR o) ) H=
5 ARgE] Al dES AU 2
BlolH2RE] of7jelr A== d== 7}
Edo)] FHHEE AR BEe 2309
< o tolEE oA Alsd 2avt (i
.

estimation_method

Parametric
Nonparametric

Aekgrral 3Rk wAE R PEec

parametric_model Gaussian Parametric A|2}EXHA FEA4F 2Ho] o)
Exponential sl
PoweredExponential
exponential_power number PoweredExponential E=e] AFAIE 4%
AUk Ha 1, FHo 2.
v
max_missing_values integer BAA F8EE ASpS 2 dlE=9
FHof HHMEYYT
significance number 2e ZAol| A 7P AL 913 o] =
Ul T e A= A4, & FEd
A t-7AR8E Z3sle] STP Bl 34 =
© S 3 feld s AR
= 9
model_specifications flag
temporal_summary flag




3 133. stpnode 549 (A%)

stpnode 54 ol 73 =4 A4

Tocation_summary flag A QoF HolEo] mell Zof EFhw=A]
ARE WEPUTH

model quality flag

test_mean_structure flag

mean_structure_coefficients flag

autoregressive_coefficients flag

test_decay_space flag

parametric_spatial_covariance flag

correlations_heat_map flag

correlations_map flag

location_clusters flag

similarity_threshold number =9 o] Y o E WYEyel SE
3] Akl e AR IUH

max_number clusters integer vl S| X3 ¢ e T ol gk
Crisilnis

zel 3 o

use_model_name flag

model_name string

uncertainty factor number Hz 0, Al 100. 7Y oo AgE=
BIAY(QF)S F71E WA oS0
ojg e 9 sk,

svmnode EM

C A WE #HAl(SVM)
SVME te] 9l "ert e dloly Al B3 28 FEIE dloly AlES} 2 As3hc

A

=E2 A8 vollE AT glo) F NS I8 F shiE BRY + Yk

node = stream.create("svm", "My node")

# Expert tab

node.setPropertyValue("mode", "Expert")

node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("kernel", "Polynomial")

node.setPropertyValue("gamma", 1.5)

3 134. svmnode £

svmnode 54 43 =44 A4
all_probabilities flag
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3 134. svmnode E4 (A<).

svmnode £*J

2k

stopping_criteria

1.0E-1
1.0E-2
1.0E-3(71E%h
1.0E-4

1.

1.

=] 4
A=z} dmzkse] FA AHE BEghI

Validation

0E-5
OE-6
regularization number C Eeias duch
precision number &3 =] 34 4] Continuous$! 7
ollgt ARG
kernel RBF(7I2%h) wistol] AMgShe 70d el fEYUT
Polynomial
Sigmoid
Linear
rbf_gamma number kernelo] RBFSI Z3-5-olRt ARERTE
gamma number kernelo] Polynomial E+= SigmoidQ] 7
Solgk L3I
bias number
degree number kernel©] Polynomial?l 73-$-llvk ARSI
.
calculate_variable_importance |flag
calculate_raw _propensities flag
calculate adjusted flag
propensities
adjusted_propensity partition |[Test

tcmnode 4

ARY s} BRI e AAE EolEolA
=AY AE 9 s B3l ojE ¥
APyt sk 1y F0%

71817 AAE

135, temnode E49

(e}
zdg

SNA) O]
h RELE
SERI=

A Qlat IAIS AMSk AL AEFTE ARE Qlet
A 1™
WAL 2=

21z}

welgolA &
TS ZEAAT} 7 E3gol| g A}
QEul 3R ch

tcmnode 54 %k =4 A4
custom_fields Boolean
dimensionlist [dimensionl ... dimensionN]
data_struct Multiple
Single
metric_fields fields
both_target_and_input [f1 ... fN]




3 135. temnode £ (A1%)

tcmnode S41

44

)

targets

[fl ... fN]

candidate_inputs

[l ... fN]

forced_inputs

[l ... fN]

use_timestamp

Timestamp
Period

input_interval

None
Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field

string

period_start_value

integer

num_days_per_week

integer

start_day_of_week

Sunday
Monday

Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

integer

start_hour_of_day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

list

output_interval

None
Year

Quarter
Month
Week
Day
Hour
Minute

Second
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3 135. temnode % (A%

tcmnode £41

k

=4 A4

is_same_interval

Same
Notsame

cross_hour

Boolean

aggregate_and_distribute

list

aggregate_default

Mean
Sum

Mode
Min

Max

distribute_default

Mean
Sum

group_default

Mean
Sum

Mode
Min

Max

missing_imput

Linear_interp
Series_mean

K_mean
K_meridian

Linear_trend

None
k_mean_param integer
k_median_param integer
missing_value_threshold integer
conf_Tevel integer
max_num_predictor integer
max_lag integer
epsilon number
threshold integer
is_re_est Boolean
num_targets integer
percent_targets integer
fields_display list
series_display list
network_graph_for_target Boolean
sign_level for_target number
fit_and_outlier_for_target Boolean
sum_and_para_for_target Boolean
impact_diag_for_target Boolean




3 135. temnode £ (A1%)

tcmnode 543 s 54 A4
impact_diag_type_for_target Effect
Cause
Both
impact_diag_Tevel for_target integer
series_plot_for_target Boolean
res_plot_for_target Boolean
top_input_for_target Boolean
forecast_table_for_target Boolean
same_as_for_target Boolean
network_graph_for_series Boolean
sign_level for_series number
fit_and_outlier_for_series Boolean
sum_and_para_for_series Boolean
impact_diagram_for_series Boolean
impact_diagram_type _for_series Effect
Cause
Both
impact_diagram_level for_series integer
series_plot_for_series Boolean
residual_plot_for_series Boolean
forecast_table_for_series Boolean
outlier_root_cause_analysis Boolean
causal_levels integer
outlier_table Interactive
Pivot
Both
rmsp_error Boolean
bic Boolean
r_square Boolean
outTiers_over_time Boolean
series_transormation Boolean
use_estimation_period Boolean
estimation_period Times
Observation
observations list
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
extend_records_into_future Boolean
forecastperiods integer
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3 135. temnode % (A%

tcmnode £41 Zk Ex Ao
max_num_distinct_values integer
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for_series Boolean
aic Boolean
rmse Boolean
ts 5§
AAIE mE= AAIE HlolElel] tigh A, I 27181 T o HT(ARIMA), THHT ARIMA(RE
T Aol 3 RS FAehL vl S 93t dEHE AP o] AAIE === SPSS Modeler

HA 18914 O ol ARRER] &= o)de] AAIE k=9 FARRITE 18y o] A AAIE == IBM
SPSS Analytic Server®] 7|58 o|&3lo] 1] tlo|elE *|2jsiA] SPSS Modeler M3 170] 71 &3
Fololl Ay} ks FAIBIEE AAIEE T

HF136. ts 4

ts 54 43 54 A4
targets field AAYE =Ee= Adgrog sht
opde] Y F=g oESAE A

43l sy ol ERE A=
SR HiE 9 V)= ge ALg
SHA Ut AAISE R
163 HoJXe| [F5 wad o
EAl ue-s A=xshiie.

use_period e

use_estimation_period e

input_interval None
Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod




F136. ts B4 (A<

ts 54

2k

£

"
i1
ol

period_field

field

period_start_value

integer

num_days_per_week

integer

start_day_of_week

Sunday
Monday

Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

integer

start_hour_of_day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

list

output_interval

None
Year

Quarter
Month
Week
Day
Hour
Minute

Second

is_same_interval

Same
Notsame

cross_hour

o)
e

aggregate_and_distribute

list

aggregate_default

Mean
Sum

Mode
Min

Max

distribute_default

Mean
Sum

group_default

Mean
Sum

Mode
Min

Max
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F136. 15 EA (AL

ts 54

k

Exal xé:ﬂ

missing_imput

Linear_interp
Series_mean
K_mean
K_median

Linear_trend

k_mean_param integer
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level_shift flag
expert_outlier_innovational flag
expert_outlier_level_shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
exsmooth_model_type Simple

HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive

WintersMultiplicative

exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p integer
arima_d integer
arima_q integer
arima_sp integer
arima_sd integer
arima_sq integer
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant flag




F136. ts 55 (A=)

ts 54 2k 4 A9
tf _arima_p. fieldname integer Zo] &Jyrh
tf_arima_d. fieldname integer o] gt
tf arima_q. fieldname integer o] Fe&dyrh
tf_arima_sp. fieldname integer Ho] =gt
tf_arima_sd. fieldname integer Zo] =Pt
tf_arima_sq. fieldname integer o] =8yt
tf_arima_delay. fieldname integer o] g8yt
tf_arima_transformation_type. fieldname None o] F=E3ut
SquareRoot
Naturallog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive flag
arima_outlier_Tevel_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
conf_limit_pct real
max_1lags integer
events fields
continue flag
scoring_model only flag - e AAE ST A7E
= Bl ARSSTh
forecastperiods integer
extend records_into_future e

treeas EM

Q)

Tree-AS = E& 7]& CHAID 59 FABEARE, Tree-AS S 4] HoJEE #|gjsle] @ EFE &+
AJBI=E AAIEIH SPSS Modeler A 179 718 &8 Fojdl 23 23S FARMTE o] L= 27
S AES] 9 FloAlE BAIRHCHAID)S AME3le] o bad Exls AAFITH o] CHAIDS| At
£ YH Hlo] Al o] BVIE S oufshs B2zl ERE AET 4 Ut St 9 ¢je g
E 2 B9(943) == HFEHYUTE Exhaustive CHAIDE 7153t BE BakS ghalsl= Bt Jx3
AR TSN Akksls W] AlRte] o ZEl= HE CHAIDYYTH
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137, treeas 7

treeas 4 43 =4 Y

target field Eg-AS k- =oll4 CHAID REle o E3x9) &)
ool 8 v dedunt Wi FEx
A8k 5 gkyUth AR R [163 o] [3]
B =9 sc EAJl) ues Id=xshire.

method chaid

exhaustive_chaid

max_depth integer 00lMEE] 2071R19] Ho Eg] zlo|dUct. 7184k
< 594tk

num_bins integer HojEl7} A4 EoR FAEE Aeolvt ]*%—
AUt el AR AT R Kt FE
AL, 94e 2, 4, 5, 10, 20, 25, 50 T
100Ut}

record_threshold integer zdlo] Ee] 24 Foll p-ak AM8olA 8 7=
A= g=e Utk 71E2RS 1,000,0000]
1, 10,0009] FHOZ o] ghe S} SoliAl
L.

split_alpha number B fol<=dyd). 32 0.013 0.99 Apolell 91
ook Pt

merge_alpha number W Fol=dunt 352 0.013 0.99 Alelol] Q)
oo Fuch

bonferroni_adjustment flag Bonferroni < ARSI folAd dhe =93
=3

effect_size threshold cont number STE B o fE ) PRt 2 9598 &
®E AR o Y BEE AN B
0.013} 0.99 Aolel] lofok ?EM‘:}.

effect_size threshold cat number SEE 28 o) f8 ) AR B HER =
BE AT o B BFE s }*’“/‘] R
0.017 0.99 Afojell Slefof Fhet.

split_merged categories flag HEkE W] ARES 5185

grouping_sig_level number FC Fdo] g4xE W e AR ==
£ 2Msle WEE dhiske o ARSRUTH

chi_square pearson FlolAly TAIRS ALtk wl ARgShE W

likelihood_ratio

(Pearson X -%-5H](Likelihood Ratio))JUth

minimum_record_use

use_percentage
use_absolute

min_parent_records_pc number 718 294t} 18] SEo= H4A 1, Ho 100
AUtk 391 271 el ekl E71HT Folok ¢
e,

min_child_records_pc number Z1EGS 19U 19] SRo=E FHa 1, Hdl 100
AV

min_parent_records_abs number 718G 10094 19] SEo= A4 1, HU
10094k 391 271 el skel 271Kt =olof
k.

min_child_records_abs number 71EgEe 504Utk 19] FRog A 1, A 100

QU
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3£ 137. treeas 4 (A1<)

treeas 54 zk =4 Ay

epsilon number A 7RIS 4 WSk

max_iterations number TEE SR Ho Edy

use_costs flag

costs structured T3 EAYUTE #2412 AA g dsa 2 el
Zo] 4 799 B8Rl 3 #e] EEYPUck 9

tree.setProperty Value("costs", [["drugA", "drugB",
3.0], ["drugX", "drugY",

4.01])

default_cost_increase none Fan MY Fareltt AR & syt
Tinear HI-& WAkt 71EgS SN L.
square
custom

calculate_conf flag

display_rule_id flag 7t gHert AEE BEd =) i IDE &

AR 230l Zelol] WeE F7HECh

twostepnode 54

A

node

node.
node.
.setPropertyValue("partition", "Test")
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

node

238

oAl kE= 28 RS ARSUTE A WA e 94 dE dlolEE
%

B 7hs 89l 7

P :
i) HEZ =) 9l HolElE B B A SRS, T A Bk AR 2 WS Aes
= of 519 THE WY T T TUOE Ao WHSKe AU, oA T Holeil o 24 74

S8 AFOT W Aol YUk B BE AU 0 dole] AEE BRNOL Al 4

Uk

= stream.create("twostep", "My node")
setPropertyValue("custom fields", True)
setPropertyValue("inputs", ["Age", "K", "Na", "BP"])

setPropertyValue("use_model_name", False)
setPropertyValue("model name", "TwoStep Drug")
setPropertyValue("use_partitioned_data", True)
setPropertyValue("exclude_outliers", True)
setPropertyValue("cluster_label", "String")
setPropertyValue("label prefix", "TwoStep ")
setPropertyValue("cluster num auto", False)
setPropertyValue("max_num_clusters", 9)
setPropertyValue("min_num clusters", 3)
setPropertyValue("num clusters", 7)
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EX

3f 138. twostepnode 5%

=4
twostepnode S4J Zk Ex Ao
inputs [fieldl ... fieldN) ot e QY Fro| BEES ANSHAT &
= gl 7K 2 0 el e o
LU AR gus [163 Aol [5% wale
W8-S B
standardize flag
exclude_outliers flag
percentage number
cluster_num_auto flag
min_num_clusters number
max_num_clusters number
num_clusters number
cluster_label String
Number
label_prefix string
distance_measure Euclidean
Loglikelihood
clustering_criterion AIC
BIC

twostepAS 4

olgtAl R WHEHA| %2 HlofE] HE QlollA AAF Hh(Ee wi)S SHUES tAklE B =
QI ol e} A dmTiEe e 0 A4 ) Az, 73 o) A% HY 9 Shk
2 AR R 7 ApEssle o] A AR 71se 2 syt
I 139. twostepAS 54
twostepAS 54 ¥4 54 A9
inputs [fl ... fN] TwoStepAS Fel2 qlE gro
229 AgaAT Bxe ey
7 2 s Pes Qe
A ebEuth
use_predefined_roles Boolean 71Ek=True
use_custom_field_assignments Boolean 71E4k=False
cluster_num_auto Boolean 71E4=True
min_num_clusters integer 71E5k=2
max_num_clusters integer 718 k=15
num_clusters integer 718 Gk=5
clustering_criterion AIC
BIC
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I 139. twostepAS B4 (A=)

twostepAS E4J Zx Ex] Ay
automatic_clustering_method use_clustering_criterion_setting

Distance_jump

Minimum

Maximum
feature_importance_method use_clustering_criterion_setting

effect_size
use_random_seed Boolean
random_seed integer
distance_measure EucTidean

Loglikelihood
include_outlier_clusters Boolean 7184 =True
num_cases_in_feature_tree leaf is_less than |integer 718%k=10
top_perc_outliers integer 7182k=5
initial_dist_change_threshold integer 7183%=0
leaf_node_maximum_branches integer 71E7k=8
non_Teaf node maximum_branches integer 718%k=8
max_tree_depth integer 718%=3
adjustment_weight_on_measurement Tevel integer 71E-8k=6
memory_allocation_mb number 718k=512
delayed_split Boolean 7124 =True
fields_to_standardize [f1 ... fN]
adaptive_feature_selection Boolean 7124 =True
featureMisPercent integer 7182x=70
coefRange number 7187%=0.05
percCasesSingleCategory integer 71E4=95
numCases integer 718 3k=24
include_model_specifications Boolean 71E4=True
include_record_summary Boolean 7124 =True
include_field_transformations Boolean 715 4k=True
excluded_inputs Boolean 7124 =True
evaluate_model_quality Boolean 7184 =True
show_feature_importance bar chart Boolean 7124 =True
show_feature_importance_ word_cloud Boolean 7184} =True
show_outlier_clusters Boolean 7185 =True
interactive_table_and_chart
show_outlier clusters _pivot_table Boolean 7184} =True
across_cluster_feature_importance Boolean 7184 =True
across_cluster_profiles pivot_table Boolean 7184} =True
withinprofiles Boolean 7185 =True
cluster distances Boolean 7184} =True
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I 139. twostepAS 54 (A=)

twostepAS 5S4 4 54 A9
cluster_label String

Number
label_prefix String




242 IBM SPSS Modeler 18.0 Python 2~THE 2 2153} k]



M 14 & 2d 42 LE E

w8 Ul EE O o

of hge HsHILS.

o

U BF 54 BRIV A Bus 4 AN T3 = =]

applyanomalydetectionnode £

ot B ukd mulE) w2 A8l ok S kA md 7S AJAIE

=1

= -
IHYY o5 applyanomalydetectionnode . TAH
o

H©)#]¢] [anomalydetectionnode E43JIS H=3HIAL.

3 140. applyanomalydetectionnode E-7.

& 5 Qiguich. o] =l Lzle]

./_'[:
we ] 2asEe] oiet AR Ans 163

applyanomalydetectionnode S*J ¥4y 54 Ay
anomaly score_method FlagAndScore 2~F0l8S 9fEl AAEE EES IhEFITh
FlagOnly
ScoreOnly
num_fields integer Bd ey
discard_records flag YF=7F SollA AHAEEA] JHE FARYTH
discard_anomalous_records flag obd B wE Hold A BlFEE AR ol &

ANPUTE. 718k of f2, Hlold &5 glz=7} 244
2L omdch. 284 &1 ongl B¢ okt FE o
F=7} 2HIEUT) o] 42 discard_records £4J0]

AHE FF5 Ao AHg 7RSI

applyapriorinode A

Apriori BEY =E5 ARSI Apriori B2dl WZle AT F syt o] BY Ule] 239 o5

applyapriorinodeUth. 298 wt 2] ~33elo) thek A3 AR (165 #o]A|] [apriorinode E|

AzFN L.

3 141. applyapriorinode E-73.

applyapriorinode S4J 7k =4 Ao
max_predictions number(“g5)
ignore_unmatached flag

allow_repeats flag

NoPredictions
Predictions

NoCheck

check_basket
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3 141. applyapriorinode 7 (H<).
applyapriorinode S4J Zx £ Ay
criterion Confidence

Support

RuTeSupport

Lift

Deployability

applyassociationrulesnode £

A = ey v = /\]-9—0]—03] A =& 7d 1;]7]0 S = 9

[e)

.

applyassociationrulesnode

EX

[ associationrulesnode &

Ayt 2dE & 2o ~3H

Tl HEsAL

U o] wel 1zle] 2mg ol
ol ojgk AR Aue

166 3|°]x]9]

3 142. applyassociationrulesnode S
applyassociationrulesnode 54 |d]oJe] £3 =4 A
max_predictions integer 250f digk 7t ige) A8 & Q= Hd) 72 ¢
Uy},
criterion Confidence T A=E ks b ARRShE S22 AEEKA
Rulesupport L.
Lift
Conditionsupport
Deployability
allow_repeats Boolean TG dFS Zhe o] 2F0fd TFEEA HRE
LI,
check_input NoPredictions
Predictions
NoCheck

applyautoclassifiernode §%4

AE PR T g ALEsk A5
applyautoclassifiernode Ut 22® + T 2A|9] ~3

O]EO

=

Heol

[l autoclassifiernode EA IS =z 2.

3E 143. applyautoclassifiernode 5+

R4 =R U ANT

o) B

U o] 2d vzle] 239

ek AARE AR (168 H|o]x]9

applyautoclassifiernode £4 * EA Ao

flag_ensemble_method Voting PIE 2FAE WES= o ARESeE W
ConfidenceWeightedVoting S AU} o] Ao Aeim o]
RawPropensityWeightedVoting Fe FEL] Z3elnt Hgguyct
HighestConfidence
AverageRawPropensity

244
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3E 143. applyautoclassifiernode 5% (#<5).

applyautoclassifiernode £4 * 54 A9

flag_voting_tie_selection Random 35 o] MelE= 79 5RE slidst
HighestConfidence © S AP o] 2 AdlE o)
RawPropensity o] E Bl Aeellvt -8y

set_ensemble method Voting e 23015 WHske bl ARSke W
ConfidenceWeightedVoting WS AU o] AL AdE tpgo)
HighestConfidence ME el Z9-elvt J8guh

set_voting_tie_selection Random F3E HPHo] Mesl= A9 StE alEst
HighestConfidence £ RS AU o] ARe Add o)

o] W& Jul ZpolRt A8t

applyautoclusternode S

A5 4 299 w8 A8 AT T 2Y LS T S Sl
2 applyautoclusternode Ut} o] 22 UZle] T2 EAL &=
Eo] i3k AAIgE ArE= (171 Ho)x]9) ITautoclusternode E4 éj% 2z3A

applyautonumericnode %4
A% 57 Bl TS ARgS] A% X 2R LS BT 5 9
2 applyautonumericnode @Utt. E2E += 2o 2T Ojgk A HH= |172 Ho]R]|9]

[ autonumericnode EAJ}S z3HA 2.

3£ 144. applyautonumericnode E-3.

applyautonumericnode £+ ¥4y 54 A
calculate_standard_error flag

applybayesnetnode 54
WOl AT B8 wEE ALl Wl A4 BE LS B4F 4 gtk of B U]
SYY O1ELS applybayesnemodeYHIT. R T AR TYRe) thE AZ AR 73 AT
[[bayesnetnode EAJIS =z 2.

3L 145. applybayesnetnode S

applybayesnetnode =4 k4 54 A
all_probabilities flag
raw_propensity flag
adjusted_propensity flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
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applyc50node 5

C5.0 2d8 =& ARESHH C5.0 22 UZles AT 4 syt o] gl YZle] ~39E o]5L
applyc50node Ut 45 wt Ao ~3gelol] gk g ARE (175 Ho)AY] [c50node EAJIE
AN L.

3E 146. applyc50node £-5.

applyc50node £+ ¥4 54 A
sql_generate Never T2 ME A Fof SQL AA |48 A=
NoMissingValues o AR83 T}

calculate_conf flag SQL AAJo] AME 7Pssh w) ARe3) 4= 9l
o] 540ll= e Egolre] AF= Alte] =
FEuct.

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applycarmanode S

CARMA ®d7 xE2 ARGSPH CARMA Ed9 UZls AT = st o] Bd Uzl ~I-E ol&
2 applycarmanodeqUt}. o] 22 Yzle] thg B4 Ak 25Utk B2 & ZA|e] ~a9E
ok 2 ARE 176 F0)X]9] [carmanode AN Fx3HIAL.

applycartnode A
C&R Eg] 2d7] x5 AM83PA C&R Ef] 22 UZS AT 4= JFut) o] 22 yrle] ~39E o]
ES applycartnodedUtt. 2% & Ao ~IHEe] el ZAIgE ARE (178 #|o)x]9] [cartnode E

S ZzEAIA L.

3E 147. applycartnode 5%

applycartnode £4J * 54 A4
sql_generate Never 12 AE A Zof SQL A4 |48 AAshk=
MissingValues o] ARSI
NoMissingValues
calculate_conf flag SQL AAdo] ARg- 71 W] AR 4 UFUITH
o] E4clle A Eflolxe] 4lE= Altte] 2
S,
display_rule_id flag 7} HF=rF AEE BElE =0 tigk IDE &
AR ol E¥o) BEE K
calculate_raw_propensities flag
calculate_adjusted propensities |flag
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applychaidnode A
CHAID B98 x5 ARSI CHAID 22 UZls AT 4 5yth o] 22 Yrle] »37E o]
applychaidnodeQUtr. 288 & 2A|o] ~=3eol thel g ARE= (180 #H|o)x]9] [chaidnode £43J|

< AL

3E 148. applychaidnode E-3.

applychaidnode =4 4 54 A4
sql_generate Never
MissingValues
calculate_conf flag
display rule_id flag 2y Y3ert AERE HRld =l gk IDE &
Nehe 23018 2o WEB F7RHI.
calculate_raw_propensities flag
calculate_adjusted_propensities |flag

applycoxregnode A
Cox =dl® T8 AGSHA Cox ®dl WS AT + YUtk o] B Uzle] 2398 olge

applycoxregnodeo‘l/]i]-. wey vt zAe] ~T#Eol thek AAE ARE (182 #H|o]X]9] [coxregnode £

ZLZO]J]\:} /\] <X

3 149. applycoxregnode 7.
applycoxregnode =] ¥ =4 Ay
future_time_as Intervals
Fields
time_interval number
num_future_times integer
time_field field
past_survival _time field
all_probabilities flag
cumulative_hazard flag

applydecisionlistnode £

g S5 R S8 AGOR SEY S5 3 LplE WHE S Sl o) m Vel 2
o B9 wo ] 2Tl oiek ARk Ane [34 o]
||Tdecisi0nhstnode E4Jl& 7410}/\‘/\] Q.
3£ 150. applydecisionlistnode 5.
applydecisionlistnode £4 ¥y £4 Ay
enable_sql_generation flag trued W IBM SPSS Modeler= A2 5=
223 SQLo oA godn Al=ghch

A4 wE U we B4 247



3£ 150. applydecisionlistnode 59 (A<5).

applydecisionlistnode 54 k4 54 A9
calculate_raw _propensities flag

calculate_adjusted_propensities flag

applydiscriminantnode §%4
W mdE y s ARgSt] W wd YZlS AT F syt o 2E Yzl 2ayH olg
applydiscriminantnode Utk ERA8 == 2RA19] 23] tigk A HEE |185 FHo]X]9]

[ discriminantnode EA4JJIS z3HA <.

F 151. applydiscriminantnode S79.

applydiscriminantnode €4 ¥4 54 A
calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applyfactornode S
PCA/SR] BEF) =8 ARE3le] PCA/SR] B UZlE ARE & iUt o] B vzle] 2~39d o]
B2 applyfactornodeJUT). ©] B9 U719] g EALS A Utk EHlE =& ZBH|o] AT HE

5
gk 2AIEE ARE (186 FH|o1AY] [factornode EA41IIS A L.

applyfeatureselectionnode A
geqde mdy S5 AR FeAd 1Y LZls AP ¢ IdFsUth o] BE U] ATy o)L
applyfeatureselectionnode YUt 22 E =T 2ol ~3 ] gk #pAIgH AR = 188 Ho]X]2]

[featureselectionnode EAJJIS Fx3MA L.

F 152. applyfeatureselectionnode E-79.

applyfeatureselectionnode =4 zk =4 A4
selected _ranked fields Fd HejeAolA delE =] =8 AP
selected screened fields = BEleA]oA AMejE 2t d=g ZPgihic

applygeneralizedlinearnode 5§
AREs} d¥(genlin) ERE =55 ARSI dhlst AE 2d YZls AT o FUTE o] 2h Uzle)
22THY o5 applygeneralizedlinearnodeUth. F 2% & ZA|o] 2~ 8ol t)gl ApAgH AR =

(Alo]x]9] [genlinnode EAJJIS z3HdA L.

3 153. applygeneralizedlinearnode =-3.

applygeneralizedlinearnode 4] o Ex A

calculate_raw _propensities flag
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3 153. applygeneralizedlinearnode 5% (Al%5).

applygeneralizedlinearnode 5% 7k

Ejal }\én:]

calculate_adjusted propensities |flag

applygilmmnode S

GLMM Edlg = t2 A3l GLMM 249 4Yile AAS 4

Q) o] wdl 147le] ~gHE o2&

applyglmmnodeQUth. ¥E8 =t 249 ~T8Elol] tigk AAIgH ARE= (193 #Ho]#2] [glmmnode E4 |

S HAxSHALL

3£ 154. applyglmmnode 5.

applyglmmnode 54 2k EA Ay
confidence onProbability 2=F10l8 AEE ARRS 2I-E Z12Yunh 1 4
onIncrease = ZE == 1 9 F WA Ao A ZE A

ole] zpolduytt.

score_category_probabilities flag TrueZ 2HEA HFE el izt dF &
Addnt. 2 WEe 3 7] vt A3y
71Egke Falseduth

max_categories integer FE2 AT H HF YUtk
score_category probabilities’} True?l 745
ok ARgRhT.

score_propensity flag True2 A=W 20 52E 2 Zdof gt
YA AF 23201("True" 23] )8 AATY
o} gEde] gk 4, A gEds 7o R
AR A3F ~F0lx AT 7)1EkS False
Ayt

applygle §4

GLE Ry k=t GLE Ed YZle Adshe vlold AR = Slguth o] 24 Wile] 2a7iF o)
& applygledUth. ZRE w= 2AHe) 2ag=lel] tig AAIgH AR 197 #1019 Tgle SIS F=3h4

AR

F 155. applygle 5%

> ot

applygle 54 i3 B RCk:
enable_sql_generation udf 2EY A Fo SQL A A4S AHshk=
native AU dlojEHjo]~E FAWEAL SPSS

Modeler Server =508 oJHEIS Algsl] ~5
ofFstA 22017 AHET} AXJE vlolEHo]2~
o] 92" 7)) SPSS Modeler ol ~FojE
g AL AdeEiAlL.
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applykmeansnode 4
K-8 BdE =55 ARSSHE K-8 B UBls A8 & JFU) o] B2l Yl 2~38H olg2
applykmeansnodeUTh. ©] B2 Y7l O& 5L SAH] &5Uth 228 & ZA|19] 22T 88 e o

&l

L.

3 ZpAE ARE P01 #H|o1A]9] [kmeansnode EA NS 3 HIAIL.

applyknnnode 54
KNN 2d" x5 ARgsHH KNN 2d UZls S 4 Jssuch o] 2d uzle] ~33E ol§-&

applyknnnode QU 227 =t Ao 2~agEo] thek AAIE AR 202 #|0]A]9] [knnnode E41JIS

i e

3£ 156. applyknnnode E-3.

applyknnnode 54 ¥4 54 A
all_probabilities flag

save_distances flag

applykohonennode §4
ol B8] xEE ARESHH oWl 2d YZls AGY ¢ JdFUSh o] B Uzle] ATHE olF
applykohonennode dUtt. o] 22 1Zle] th& EAL A Ut BdE k& 2|9 3o

3 AANEE ARE (175 #HolA2) [c50node EA IS Fxshr L.

applylinearnode §4
Ay mdly] w8 ARSSHH A8 29 UZlS AT 5 dsUth o] mdl Yzl ~39E o]lg2
applylinearnodeIIth. B8 - zpA|o] ~IHEo]| gk AAIg ARE= 05 #H|o)A]9] [linearnode S

2 FEsHINL.

oL

F 157. applylinearnode E73.

Tinear 54 44 54 A4
use_custom_name flag

custom_name string

enable_sql_generation flag
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applylinearasnode S
Linear-AS T3% ==& A3} Linear-AS &3 UZlS AT 4= syt o] 2d yzle] ~37E o]
2.5 applylinearasnode U, BEe wC 2o ~=Elo) thal AAgE ARE= P06 Ho]#12] [linearasnode|

=

HEBHA L.

158 applylinearasnode 579

applylinearasnode <4 4 54 A

enable_sql_generation udf 718G udfduTh
native

applylogregnode £
BEA2E RN RAY w55 ARG EX2E 39N 2E Uls A8 5 Ut o] BE YAl
o] ~H=E] o|&L applylogregnodedUtt. XEE -t zA|o] ~33El0]] thdlk A3 ARE= 07 #H|o)A]

o] [logregnode SIS FZ3HIA L.
greg

3 159. applylogregnode E-%.

applylogregnode =4 45 54 A4
calculate_raw_propensities flag

calculate_conf flag

enable_sql_generation flag

applylsvmnode §4
LSVM ®HE =5 ARBSle] LSVM B UZls AT 4 Utk o] B U319 ~35E o2
applylsvmnodedUth. B8 & 2pA|o] ~IHelo]] thak AAIgE ARE 212 Ho]x]9] [lsvmnode E41J1S

Hzshirl L.

3£ 160. applylsvmnode 7

applylsvimnode =4 Zk 4 A
calculate raw_propensities flag YA g 230 ARt ARE AL
enable_sql_generation udf 25018 AHYE|(AXE BHE ARESEAY ZE2A|

native oA 257015 ALFEER] o H dlo]EHo]2 LJhe|
A 23015 ARRIRAE AT,

applyneuralnetnode S
WA 2ElEg =5 ARgSlY AW B Uzls AT 4 JFUTE o] B Ugle] ~39E ol

applyneuralnetnode Ut} 228 T zA|o] ~3elo)] tigk 2pAgk ARE= P13 #o]A9] [neuralnetnode]

HEI L.

N
i
il
|t
£
[\]
wn
Pk

Al 14 7 7d Y



ZFel: 7% WAl Fiso] e Al o) o] DelolA A 7Fssi the Hlapplyneuralnetwork)el
A EUT ol WS oFd ASE & QN A) MAL ASHES 2I-ES JeolET 21S VI
Utk o4l virie] ARARbe HE 918 ob/lo] A, i Ade A5 Delzeli AARU:

I 161. applyneuralnetnode E-3.

applyneuralnetnode £+ * 54 A4
calculate conf flag SQL Aol AR 71ss uf ARgs 4= Ut o]
Eeolle A/8d Eglolre] A== Alkto] E3FEUTh
enable_sql_generation flag
nn_score_method Difference
SoftMax
calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applyneuralnetworknode EM

AN
gk ZAE AR oe AL

3 162. applyneuralnetworknode 579

applyneuralnetworknode =41 Zr EA4] Ay
use_custom_name flag
custom_name string
confidence onProbability
onlncrease
score_category probabilities flag
max_categories number
score_propensity flag

applyquestnode 54

QUEST 2¥IE] ==5 A83ld QUEST R UZls AT 4= Ut o] 2dl Yrle] ~IyE o|g-2
applyquestnodeQUth. REE & Ao ~Ih0E]] thet 2pAE ARE P17 FHoAY] [questnode E4 |
< FEsHAL

EX

3£ 163. applyquestnode %

applyquestnode =4J 4y 54 A
sql_generate Never
MissingValues
NoMissingValues
calculate_conf flag
display rule_id flag 72t HlE=rt AREE BHEld k2o tigt IDE &
Ashe =308 S8 d=8 R’
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I 163. applyquestnode 575 (A<).

applyquestnode S4] Zk Ex Ao
calculate_raw _propensities flag

calculate_adjusted_propensities flag

applyr 54
R 2 w28 Al%o}oq R 2 Wzl A4 & gyt o] 2l URle] 233|082 applyrduith
wElg e o] 2Tl ik AR R (174 FolXe] [buildr SAJe Fzshiirle.

3 164. applyr 4

applyr 54 ks =4 Ay
score_syntax string 2o ~350]go] R ATHE &
convert_flags StringsAndDoubles ZY0 B=E Hdshe w4
LogicalValues
convert_datetime flag A = GHARE A8 2= MTE R
SHARE Ao mglele A
convert_datetime class POSIXct @ e EARE BAs 2k e W
POSIX1t g PAE Ak AL
convert _missing flag AZZFS R NA Fro = Higksh= 8.
use_batch _size flag Hiz) Ag] AMS-S 7FsEkAl ok
batch_size integer Z} wjxjel] 23 vlolE gi=e] & A
Al .

applyrandomtrees S
WY Ef] Ry muE ARgSl] dY B 2Y UZlS A S U o] BE UZle] ~THE ol
> pplyrandomtreeso‘HE]-. welE T 2] ~aPE] thak AR ARE 218 #H|o1AY] [randomtrees|

;d-zo].)\l /\] Q.

F 165. applyrandomtrees 579

applyrandomtrees £ * 54 A
calculate_conf flag o] Bz AE Eglolxe] A== Alkte] 2
Y
enable_sql_generation udf 2EY A3 ol SQL AA |48 A= b
native AHERUTE HlolEMo]=2 FAMERIL SPSS

Modeler Server 2~=F0{& RHEIS AREsl] ~3F
olgeb A2zl ofRiEE A ClolEol:
o JZ¥ 7)) SPSS Modeler QFlA 2~FF
o ZE AdesiiAle.

A 147 7d YA v= 24 253



applyregressionnode 5%
AF 39 BEE == ARgsi] AF 319 BY UZls S o iUt o] B Uzl ~T9E o)F
2 applyregressionnodeqUt}. ©] & |zlo] T 542 SAlskA] SuUth BEE kT AA|9] A3

wloll tid ApHIg AR 220 HoIK9] [regressionnode EAUS HE3HIAL.

applyselflearningnode A
A 85 WRS- RE)(SLRM) 2elE T2 ARg3Sle] SLRM 24 UZlS A = Ut o] e |Al
o] 238 o5 applyselflearningnode Ut 22 = 28] 2T HEo gk AAgE AR =

Bo)x]9] [slrmnode B4 F23HIAIL.

3£ 166. applyselflearningnode =7%.

applyselflearningnode =4 %k E4 A

max_predictions number

randomization number

scoring_random_seed number

sort ascending 3 = HF] 27015 ZB= Aole] AL BAER=
descending A ARE AP

model reliability flag A ®eld B AEE $AS T

applysequencenode £
A~ BEE S5 ARESt] Al BY UBls S ¢ dsUh o] BY Y =
applysequencenodedHtt. ©] B2 Y7l thg EALS Al Utk Y =5 2pA|9] ~ayE

g ZAIgE ARE P22 Ho]A|9] [sequencenode 43 IS F=3HIAIL.

applysvmnode 54
SVM ®dlg =55 ARgsHH SVM Y UZls R8T + dFHth o] Bd YZle] 2~IdE o|F2
applysvmnode U, Rde T zpA|o] ~mElo)] tigk A3 ARE 228 #H|o1A9] [svmnode E41J1S

BRSNS

£ 167. applysvmnode S

applysvmnode <-4 Tk 54 A
all_probabilities flag
calculate_raw_propensities flag
calculate_adjusted propensities flag
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applystpnode 4

STP 293y =T8 AMgSle] AUE 29 LIS ANT & g, of URle £ Rolo =Y e
FARRMLE o] 2l URle] ~ayE o] applystpnodeQUTE. ZEAE T zA|o] ~TEo) tidk A
3 ARE= 24 Ho)x9] [stpnode EANS =3 HIAIL.

F 168. applystpnode 57

applystpnode 54 dlofe] 3 A4 A4
uncertainty_factor Boolean A4k 0, gk 100

applytcmnode §4
AZE 93 REBHTCM) 2EE =2 AR TCM 2d WZS AT = syt o] 2d yzle) ~
Y o2& gpplytemnode UL, R T ZA|e] 2T e thigk AAIE ARE 229 Fo]x]9] [temnode]

BEIRINL.

F 169. applytemnode 5%

applytcmnode £4 ¥4 4 A4
ext_future boolean

ext_future_num integer

noise_res boolean

conf_Timits boolean

target_fields list

target_series list

applytimeseriesnode S
AAIE BEE =5 ARESI] AAIE 2d YZls APE 4 U o] El YRl ~T7E ol
applytimeseriesnodeJUTE. FA8 T o] ~IElo]| th3l 2pAE ARE timeseriesnode A4S 32

SHIA|L.

F 170. applytimeseriesnode S-3.

applytimeseriesnode 54 k4 =4 A
calculate_conf flag
calculate_residuals flag

A 14 4 58 Yz w= By 255



applyts 54

AMAIE BEY kEg ARSIl AAIE Y UZle NS 5 syt o] 2R 1Rl ATRIE ol
applytsJUTh. BT == Ao] ~Tsel| tig Ak BHE 233 HolXe] s SXRJE FzshiAL.

171, applyts 54

applyts 54 7k Ex A
ext_future boolean

ext_future_num integer

noise_res boolean

conf_Timits boolean

target fields list

target_series list

applytreeas M

Tree-AS RHE =55 ARSI Tree-AS B UZlS AT o FUth o] 29 Uzle] ~39H o]
& applytreenasJUTh. 298 = zpAle] 278l tidk 2MI FRe= 236 H0]A2] Teeas £4)
SN 2.

[e)
=

o

F 172. applytreeas 5%

A
E4oll= AE EgoMe] 2lEE Alkte]
Ui,
P aAl==7) APgul= Bleld wsol| tiE IDE &
AShe 3oy &8 d=& R
enable_sql_generation udf 2EF A3 Fol SQL A A4S sk
native ARESUY. dloJEHjo] A2 FAMELAL SPSS
Modeler Server =508 O|HEIE ARSI A5
ANFBALH(2=T01E o FE7} AXE HlolEjr]o]~
o] 912 7% SPSS Modeler ol 2~ojH
T e MehiAlL.

ol

£

applytreeas 54 43

9

calculate_conf flag

=

_1\( ol

display_rule_id flag

applytwostepnode S

ot EHE xtE ARSI ojdAl Bd UBls A ¢ AUtk o] BE YZlY ~I¥E o5
applytwostepnodeJHTt. ©] B2 1Zlo] thE 54 EAlHA] esUth BHlEg =& AA|9| 2~y |ol| o
g 23 ARE 238 H|o]X]9] [twostepnode E43J1S FZ3HIAI L.

applytwostepAS S

ot AS EHE LTE ARSIl ofdAl AS B LIRS AR = iUk o] Y yZle] AT
ol&2 applytwostepASYUHT. ©] & \Zle] & 542 EAH S5Uth 2d8 k-t 2Hle] A~
ol e AAIE Fr= 239 HoA|9] [twostepAS EAIS H=x3MIA L.
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M 15 & HIO[E{Ho]A~ BHE L= S

IBM SPSS Modeleri= Microsoft SQL Server Analysis Services, Oracle Data Mining, IBM DB2°
InfoSphere Warehouse & IBM Netezza® AnalyticsS Z3}3l doJEjdo]x WIE|ZRE] ARE- 7153 Hlo]E
npold gl mely Egete] T AUtk E57F IBM SPSS Modeler ofE@AloId StollA AlgE:=
718 Hloleo] 2 darg|ES ARESt] REs 2 Bl ~310)ge = QlsUth B o] Mok Awlehs &

.
de AMgste] 2T Sl HolEulols BlS A Bl 22 i QU

dE S0, TS ~TIYE HELS IBM SPSS Modeler 2~THE 2lE|F|o]~S ALE31] Microsoft SJAFA
A B8] 53o] e g

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server name", 'localhost')
msbuilder.setPropertyValue("analysis_database name", 'TESTDB')
mshuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbhuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique field", 'IDX')
msbuilder.setPropertyValue("custom fields", True)
msbuilder.setPropertyValue("model name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql_generate", True)

tablenode.run([])

Microsoft DEIZI0 CHsl == SM

Microsoft REZ| L= EN

7% 54

the B2 Microsoft BlefEMlo)2: mee) tef FEAHILIC,

FE 173. FF Microsoft == 54

3% Microsoft == =4 ZF Ex A9
analysis_database_name string 4] AH]2 glolEu|o]=e] o)F.
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3L 173. &% Microsoft =& 5%

J

o,
)
&

%5 Microsoft == 54 ZF Ex A

analysis_server name string B AH|s $1EQ] o]E.

use_transactional data flag e dolElVl & ¥4 e EfA FARIK ARE A
=3

inputs list £ &2 dlojgol] i3k U =,

target field & FEMS R EE AR 2 o A8EA o).

unique_field field 7] B=,

msas_parameters structured duglE B ARG ARE P59 Ho|xe) [daelE Bl
W8-S FxsHiAL

with_drillthrough flag ZYAE AL A

MS ek Ex

o

mstreenode #82] ol Tjs] AelEle S Sxo] gtk of Ae) Aol g

< Fxshr L.

rr
‘|
o

Microsoft 43

>

MS H3}h
msclusternode 82 ol tisl] Aolxl= &4 5] iUtk o] Ao A 9= 3% Microsoft

(e} = =]
S4e PEshINL,

Uhs 54 54°] msassocnode f+&@9] m=oll ARE- 7Fe U

3£ 174. msassocnode 4

msassocnode 54 43 =44 A

id_field field tlojele] 7+ ExAldS APEght.
trans_inputs list EiA dlofgle] §lg iyt
transactional_target field d& o (EWAA dlolE).

MS Naive Bayes

msbayesnode #32] o] tia) elshs 54 S4do] giruik. o] el Aol Y= BE Microsoft =

e FxsHAIL.
MS A& 39

msregressionnode &2 ==of OfF)] AHelsl= 54 E4do] iUt o] Aol Al = 8% Microsoft

(e} = =]
E4e Fashine.

MS Al7dv
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msneuralnetworknode 32| o s AolEles &4 EAo] g5yt o] Aol AR = 3%

Microsoft 544-& FZ3MIA L.
MS EA|2E 38

msTogisticnode 32| =tof tiall o=z E4 5ol fisUct o] o) ARl = 38 Microsoft

[e] = =]
=42 Fashine.

MS AAE

mstimeseriesnode 3¢ =0l thall Holsh= 54 40| glsutt o] Ao ARl = 35 Microsoft
E4s Fxshirle

MS Al 73

o2 54 EX4do] mssequenceclusternode +32] k=0 AME- 7Fs@UTh

3 175. mssequenceclusternode 579

mssequenceclusternode £ k4 =44 A4

id_field field tlojele] 7+ ExAldS AP,

input_fields list EziAA Hlofeie] Ql= Tyt

sequence_field field TAAFE ARV

target_field field A= Fe(E F2 dlolE).

gy 24

Z} Microsoft HloJEIH|o]2 22 {5382 msas_parameters S44& ARgsl] 2GS 4~ = B4 24E 2F
a1 JFULE

stream = modeler.script.stream()

msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas_parameters", [["MAXIMUM_INPUT_ATTRIBUTES", 255],
["MAXIMUM_OUTPUT_ATTRIBUTES" , 255]])

o E= SQL ServerolA] sRgUCE 7F ko tigh I BE HeH TheS FashiAlL.
1. HoJEMo]x A RES 7o) HiXIEHIAIL.

tlojEjo] s A ES oJ4AlS.

dlole] & B The 550X fagk &5 AdEishiire.

HlolE o5 ESolli fASH HolES AL

ol-S F23te] HloJEH|o] A A mES TOAAQ.

N
4o
3

o] ol tg AME- 7Vt msas_parameters S43o] EAIHUTE

o,
{-r
!
£
[\]
wn
o

Al 15 7 deoleuo)l2 =l



Microsoft 22! L{Z] EA

Uk 542 Microsoft HlofEfHlo]l RHY kus ARgSl] 2Ee 2dl |l

MS by Ex

F176. MS oJAEH Er] EA.

o

_?,]

e
P
zl
L
i)

applymstreenode £ 7k A

analysis_database name string o] kE= 2EFA AF] 23] 7152 sk
o] 5442 ¥4 Al tlofEjmlo)e] o]F-S AHsh= © A
|3t

analysis_server_name string A A 32ES] o]F.

datasource string SQL Server ODBC H|o[E] A7~ o]E(DSN)2| ol&.

sql_generate flag SQL A& 7FssiAl FuT.

MS A& 317

#177. MS ¥ 317 5%

applymsregressionnode =4 ¥4 A7

analysis_database name string o] kE= ~EFX AR ~F0] 7152 & sk
o] 54L& &4 ARlZ wlofElro]2~9] o]§-S AMHah= © At
BTk

analysis_server name string A A 3AEQ] o)E.

MS 78

F178. MS 2 1EY 5.

applymsneuralnetworknode S4J z v

analysis_database_name string o] xe= 2EFdX 23] 2310 715E 4 SFUTh
o] 54 w4 AR|Z Tlofeo]2=9] o] FS Ashk= © At
83Tk

analysis_server_name string A A 3AEQ] o)E.

MS Ex|2-E] 3724

3E179. MS EX|~E] 5]7%84 54

applymslogisticnode 54 * A

analysis_database_name string o] kt= 2ERAN 2F 230] 7152 F Ik
o] 54 w4 ARIZ TlofEHo]29] o] FS AHshk= T At
S

analysis_server_name string A A 32E0] o],

MS AAIE
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F180. MS AAIE B4

historical _
prediction

applymstimeseriesnode 54 * Ay

analysis_database_name string o] k== 2EHA A 230 7152 4 dFUTh
o] 542 &4 ARl HlolEuo]ze] o]E-S A¥sh= | At
B3k

analysis_server_name string A AW 3B o],

start_from new_prediction g €& Ex g EFS A ARE AU

new_step number vl <% ARE RS AR
historical_step number 3]~Ex] °1]§°ﬂ EH?E AR ARE 71RES AR
end_step number S gk FT= ARE 7RES Aol
MS Al 73
I 181. MS A~ 75 B4
applymssequenceclusternode £ zk Adrg
analysis_database_name string o] k= 2EROA AF ~F0] 7152 F IJFUch
o] B #A] AHl2: dlofEo]~0] o5& APHEh= ] A}
B3k
analysis_server_name string B4 AW 32E9| o]&.

Oracle BgElo] L= EM

Oracle TE2| L= EN

T S4-& Oracle HloJEHo]x BHE ko) 354

F182. FE Oracle == E4.

3% Oracle = 54 7k =4 g

target field

inputs P 2=

partition field v o] A, A% 2 tlksl TR 9Je W] ¥
o= HopE E¥shs ol AR8ske F=durh

datasource

username

password

epassword

use_model_name flag

model_name string A melo] AReAl Ao ol29Uc).

use_partitioned_data flag S Beoh old A o] ede Fd selde] dole]
ol wuls 2Rdsk= g ARRSFEE RAshch

unique_field field

o,
r
!
£
(]
=)
—

Al 15 7 deoleuo)l2 =l



F182. 2% Oracle =5 E4

F% Oracle == =4 4 54 A4

auto_data_prep flag Oracle A5 HIoJE] FH] 715 AR == AR Qkgtez A
AEUTH(11g tlofeplo]=Rt 3.

costs structured The 2le] =3 B4
[[drugA drugB 1.5] [drugA drugC 2.11], o714 [19]
T Al S HEIUT

mode Simple M == EAA AFEE AXY, SimpleE AAEE= 4

Expert S 54 4] PASES hick

use_prediction_probability flag

prediction_probability string

use prediction_set flag

Oracle Naive Bayes

TR EAS oranbnode 39 w-tof ARE 7Fs3h]c)

3% 183. oranbnode E4%.

oranbnode £4J 7r Eq A
singleton_threshold number 0.0-1.0.*
pairwise_threshold number 0.0-1.0.*
priors Data
Equal
Custom
custom_priors structured The o] F1=x3l B4
set :oranbnode.custom_priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* mode”} SimpleZ AAEH EAjo]

Oracle -3 Hjo]~

U 542 oraabnnode 89| =0 ARE- 7Fs3th

3£ 184. oraabnnode 7.

A,

oraabnnode =4J

*

Advd

£

model_type SingleFeature

MultiFeature

NaiveBayes
use_execution_time limit flag *
execution_time_limit integer e 0=} Aok Fhry*
max_naive_bayes predictors integer 2 0EC Aok Fhch*
max_predictors integer e 0XT} 7lof fhrt*
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3 184. oraabnnode % (AI%5).

oraabnnode =4J 7k =4 Ao
priors Data
Equal
Custom
custom_priors structured T e =31 B4
set :oraabnnode.custom priors = [[drugA 1] [drugB
2] [drugC 3] [drugX 4][drugY 5]]

* modeZ} SimpleZ AAEH EAJo] FAIFHYLTH

Oracle A #E W2l

TS EAL orasvmnode 739 ko ARE 7Fs3hTh

3£ 185. orasvmnode E7%.

orasvmnode =+ k4 =4 A4
active_learning Enable
Disable
kernel_function Linear
Gaussian
System
normalization_method zscore
minmax
none
kernel_cache_size integer Gaussian kernel¥t @t 7k 0Xch
71oF Fet.*
convergence_tolerance number 80X} Fof gt
use_standard_deviation flag Gaussian kernel?t @3} *
standard_deviation number e 0Xr}h 7of ghct*
use_epsilon flag 57w gy r
epsilon number e 0RT) Aok Fhc)*
use_complexity factor flag *
complexity_factor number *
use outlier rate flag 152 ARt SRk
outlier_rate number 1E82 gt sEgch 0.0-1.0.%
weights Data
Equal
Custom
custom weights structured the R2le] t=xs) BA:
set :orasvmnode.custom weights =
[[drugA 1][drugB 2] [drugC 3] [drugX
4] [drugY 5]1]

o,
{-r
!
£
(]
=
w

Al 15 7 deoleuo)l2 =l



* mode7} Simplez A=Y SA4o] FAHUh

Oracle ¥€¥ks} A3 =4

o 542 oraglmnode 89 xtof AR 7Fs3Hch

3£ 186. oraglmnode E7%.

oragimnode SAJ Zx £ A4
normalization_method zscore

minmax

none
missing_value_handling ReplaceWithMean

UseCompleteRecords
use_row_weights flag *
row_weights_field field *
save_row_diagnostics flag *
row_diagnostics_table string *
coefficient_confidence number *
use_reference_category flag *
reference_category string *
ridge_regression Auto *

0ff

On
parameter_value number *
vif_for_ridge flag *
* modeZ} SimpleE AAEH Eo] FAIFHUTHL
Oracle 2JAFE2H Ex]
e EAS oradecisiontreenode -39 kTl ARE- 7Psghc),
3£ 187. oradecisiontreenode E73.
oradecisiontreenode =4 4y =4 A4
use_costs flag
impurity_metric Entropy

Gini
term_max_depth integer 2-20.*
term_minpct_node number 0.0-10.0.*
term_minpct_split number 0.0-20.0.*
term minrec_node integer e 0RT} Fof dhctx
term_minrec_split integer e 0xT} Fof k.
display_rule_ids flag *

* mode7} Simplez A=Y S4o] FAHUH
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Oracle O-Cluster

ke EXL oraoclusternode 539 Tl AR 7FsShich

3£ 188. oraoclusternode £4.

oraoclusternode 54 %k =4 A4
max_num_clusters integer e 02} Aok Tt
max_buffer integer Z 0XT} ok Fhck*
sensitivity number 0.0-1.0.*

=)
r
©

* modeZ} SimpleE AL

Oracle K-+t

A,

o EXO grakmeansnode 339 wto AL 7Fsdhc)

3 189. orakmeansnode E7%.

orakmeansnode 54 %k =4 A4
num_clusters integer 80Xt} 7of ghuc).
normalization_method zscore
minmax
none
distance_function Euclidean
Cosine
iterations integer 0-20.*
conv_tolerance number 0.0-0.5.*
split_criterion Variance 71835 VarianceJUth*
Size
num_bins integer e 0XH) Aok gt *
bTock_growth integer 1-5.%
min_pct_attr_support number 0.0-1.0.*
* modeZ} SimpleZ AAEH EXo] FAHULH
Oracle NMF
s 5442 oranmfnode 39 =t ARE- 7Fs3UT
I 190. oranmfnode E7%.
oranmfnode 5% * 54 Ao
normalization_method minmax
none
use_num_features flag *
num_features integer 0-1. 71Egke darelge] ofs) tlole=He F~dgurt.+

A 15 A dolEo)~

wxl

&

-
=



I 190. oranmfnode 54 (AI<5).

oranmfnode 5% * 54 Ay
random_seed number *
num_iterations integer 0-500.*
conv_tolerance number 0.0-0.5.*
display_all_features flag *

* modeZ} Simple® AA=H

Oracle Apriori

thS EAL oraapriorinode 39 kol AL 7Fs3UC

3 191. oraapriorinode 7.

oraapriorinode =4 ¥4 54 A
content_field field

id_field field

max_rule_Tength integer 2-20.
min_confidence number 0.0-1.0.
min_support number 0.0-1.0.
use_transactional _data flag

Oracle 4 2™ Zo](MDL)

oramdlnode 32| =toll thel Beol=l= 54 540l glsunt o] Aol ARl Sl= 36 Oracle S4=

FES IS

Oracle 4 T2 5(Al)

Uk 542 oraainode #&9] ol AR 7Fsgth

F 192. oraainode 4.

oraainode £4J 7 =X Ay

custom_fields flag True?l 745 @A) ol tigk H35, ¢ 2 7[e} H=8 X
A 5 QrUTh Falsed] 49 U2EY 48 weo] A4
AE AR

selection_mode Importancelevel

ImportanceValue
TopN

select_important flag selection_mode’} ImportancelLevel 2 A24E uj, S8 I
= A oRE 2Tt

important_label string "3 = gk o8-S AXHFUTE

select_marginal flag selection_mode’} ImportancelLevelZ AE uj, 15 I
= Ae oRE 2Tt

marginal_label string "HE" 200 T3t fo)E-S o)

266
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£ 192. oraainode 549 (Al%5).

oraainode S Tk =4 A9
important_above number 0.0-1.0.
select_unimportant flag selection_mode”} ImportancelLevelZ A2 w), F83}

7 gke U= Ad onE APghch

unimportant_label string "FQ3HA] g2 =lell tigh oS APgdUTh

unimportant_beTow number 0.0-1.0.

importance_value number selection_mode”} ImportanceValueZ A4E o), A<
A g ARG 07 1007F419] 4k S It

top_n number selection_mode’} TopNO=Z AE ujj, ARSS A} ke

AR 0oIARE] 10007H412] FES S=Ighics.

Oracle T4 L{Z] EN

oS EXL Oracle RES ARSI ZAdE]

rlr
g2
)
N
o
do
ot
PR
A
<
v

Oracle Naive Bayes

applyoranbnode -+&¢] x=of thell Aols= 54 540l glsUth
Oracle 2-83 o]~

applyoraabnnode 9] ol thell o=l 54 4o glsurh
Oracle A #E] w2l

applyorasvmnode -#&¢] =l thell Hols= 54 5A4°] glsunt
Oracle oAAA EY

RS- EX& applyoradecisiontreenode -39 ko ARg 7Fsghch

3£ 193. applyoradecisiontreenode 53

applyoradecisiontreenode £+ 43 54 Ay
use_costs flag
display_rule_ids flag

Oracle O-Cluster

applyoraoclusternode 32| >0l sl AHeolE= 54 EAdo] fisuUth

Oracle K-+t
applyorakmeansnode 3¢ =0l tsl] Holxl= B4 S0 iUk

Oracle NMF

Al 15 7 deoleuo)l2 =l

o,
r-[“
!
£
(]
=)
|



U5 54 E4Jo] applyoranmfnode -F&2] ol ARE 7Fsdhc)

H 194. applyoranmfnode 57

applyoranmfnode £4 43 4 A9
display_all_features flag

Oracle Apriori

o] &l Ul ~adeelld A8 4 FUth

IBM DB2 Modeling0ll Cist ‘= SAM

IBM DB2 Rzl = EM
o2 EA1S IBM ISW(InfoSphere Warehouse) El|oJEHo]~ Rel] =0 F5ZQUc)

F 195 &5 ISW == 54.

%5 ISW == 54 43 =4 A9
inputs g 2=

datasource

username

password

epassword

enable_power_options flag
power_options_max_memory integer A2 321} Fok Fch
power_options_cmdline string
mining_data_custom_sql string
logical_data_custom_sql string
mining_settings_custom_sql

ISW o124 Ed]

S EAL db2imtreenode -F39] Tol AR s3I

3£ 196. db2imtreenode E7%.

db2imtreenode S 43 =4 Ay
target field

perform_test_run flag

use_max_tree_depth flag

max_tree_depth integer 00X} 2 k.
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3 196. db2imtreenode 5% (Al%5).

db2imtreenode % 43 =4 A4

use_maximum_purity flag

maximum_purity number 07 100 Aele] 52k

use_minimum_internal_cases flag

minimum_internal_cases integer 13 & 7k

use_costs flag

costs structured the 2l 7=3) 548
[[drugA drugB 1.5] [drugA drugC 2.1]], o714 [19] U5
= AA dF HEYPUHh

ISW A%

e

EX2 db2imassocnode 532 o) AR 7Psdhc)

3£ 197. dbimassocnode 7.

db2imassocnode £4J Zr EA] Ay
use_transactional_data flag

id_field field

content_field field

data_table_layout basic

limited_length

max_rule size integer Fe 21T} FoF ghic

min_rule_support number 0 — 100%

min_rule_confidence number 0 — 100%

use_item_constraints flag

item_constraints_type Include

Exclude

use_taxonomy flag

taxonomy_table_name string 4] ARARRS A4S DB2 HolEe] ©l&.

taxonomy child_column_name string gl2aer] HolEol| Q= sk E9 olF YUtk sk Folle
ofg w R olgol ol it

taxonomy_parent_column_name string 2 m] HolEe = 9] E9 o|FdUTh 49l Golle B
olge] o] lHct.

Toad_taxonomy to_table flag IBM SPSS Modelerell 27458 eaevr] AR7E 29 24 Ao

Hien) HolRE QEEHEAE Ao, Hawn] Holte
on] EASHE A AARE UKL, Bn] AR
W Apy wesh S AE MR B 2 e W) W5
£ AHg3iel BRE S LIk

T

ISW 2173

T}S EXJo] db2imsequencenode 539] ol AR

TP

wxl

A 15 A dolEo)~

o,



I 198. db2imsequencenode E-3.

db2imsequencenode =4 k4 54 A9

id_field field

group_field field

content_field field

max_rule_size integer e 28T Aok )

min_rule_support number 0 — 100%

min_rule_confidence number 0 — 100%

use_item_constraints flag

item_constraints_type Include

Exclude

use_taxonomy flag

taxonomy_table_name string g2 m) AEALERS #A13E DB2 HlolEe] o).

taxonomy_child_column_name string gzt o]l = st Ee o]EdUTt Bk9] Belle 5
olF EE= HF ol5el =0l IFUth

taxonomy parent_column_name string glaer] HolBol| = A9 do] olg iUt el el W
olFe] = syt

Toad_taxonomy_to_table flag IBM SPSS Modeleroll A% Bl2ver] HR7} 2@l 214 Ao

Ben] B3R QIREREAS Alojghih Baten] HojBe
ofn] EAlSRE A AR BuSHIAL. Bawn] Ans
W Apy mseh Sl s MR BA) 9 i) 94 B
£ Agsld B % ke

o

ISW 374

)2 EAJo] db2imregnode 89 ko) AR 7Fs3Th

I 199. db2imregnode 7.

db2imregnode 5] Zx Ex] o]

target field

regression_method transform regression_method”} rbfZ A4E 79t 28== 54
Tinear o gk the HolE-S FEsHiAL
polynomial
rbf

perform_test_run field

1imit_rsquared_value flag

max_rsquared_value number 0.0} 1.0 Afole] Zk

use_execution_time_limit flag

execution_time_limit_mins integer 00Xt} & Fh

use_max_degree_polynomial flag

max_degree_polynomial integer

use_intercept flag

use_auto_feature_selection_method |flag
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FE199. db2imregnode 5% (A=)
db2imregnode 4 4 54 AdY
auto_feature_selection_method normal

adjusted
use_min_significance_level flag
min_significance_Tlevel number
use_min_significance_level flag

=

EAS regression method’} rbf2 A=

9N Ak

3£ 200. regression_method”} rbfZ A== 74-9-2] db2imregnode

E4

- -7 O

db2imregnode &4 a* B4 Ay
use_output_sample_size flag True}! 78%, & 71Ego =2 AFs AT
output_sample_size integer 71 29Ut

Haghe 194k
use_input_sample_size flag TrueQ! 745, a-S 7[Eg o= As AA)
input_sample_size integer 7R 29Tt

FHaghe 194tk
use_max_num_centers flag True?! 79, & 71Egto= 25 A8yt
max_num_centers integer 71 204Utk

Haghe 194
use min_region size flag True! 7%, &= 7@ R A5 Aok
min_region_size integer 71EgE 159Ut

Haghe 194t
use_max_data_passes flag TrueSl 7%, 35 718%o= A5 At
max_data_passes integer 78 59Tk

Haghe 294t
use min_data_passes flag True$] 74, & 7|8gke 2 A% Ahc
min_data_passes integer 71k 59Utk

Haghe 29yt

ISW %

he EAJo| db2imclusternode 5382 kol AR 7Fsshct

FE201. db2imclusternode E7%.

db2imclusternode =4 * EA4] Ay
cluster_method demographic
kohonen
birch
kohonen_num_rows integer
kohonen_num_columns integer
kohonen_passes integer
use_num_passes_Tlimit flag

Al 15 7 deoleuo)l2 =l

o,



3£ 201. db2imclusternode 5% (A%5).

db2imclusternode =4 k4 4 A
use_num_clusters_limit flag
max_num_clusters integer 130 & 7k

birch_dist measure

log_Tikelihood

7182k Tog_likelihood Utk

euclidean
birch_num_cfleaves integer 718k 100044t
birch_num refine_passes integer 718k 301, HAghkS 19Utk
use_execution_time_limit flag
execution_time_limit_mins integer 00X}t 2 Fh
min_data_percentage number 0 — 100%
use_similarity_threshold flag
similarity_threshold number 0.0%} 1.0 Afole] Zk

ISW Naive Bayes

e EAJo] db2imnbsnode 32 ktof ARE 73T

E202. db2imnbnode E7.

db2imnbnode 54 * S RCE:
perform_test_run flag
probability_threshold number 71EZ5 0.0014Uck
FHagh2 00]aL, gk 1.00044Th
use_costs flag
costs structured The R2le] +=xs) EA:

[[drugA drugB 1.5] [drugA drugC 2.1]1, <714 19 95
© AA 45 veduch

ISW 2A|2E 8)9124

o £4J°] db2imlognode #&2] o ARE- 7Fs@UTh

3 203. db2imlognode 5.

db2imlognode 54 ik Ex Ao
perform_test_run flag
use_costs flag
costs structured e R2le] =xs) EA:
[[drugA drugB 1.5] [drugA drugC 2.1]], <3714 [19] U=
= A o5 Bgdyth
ISW AAE

Z7: 8 "e BEE o] Tof ARESHA] 25Utk

time L targetsS 4 BT 2|0 Q1
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T} EXJo| db2imtimeseriesnode 782 L Eo| AR 7Fs3ho).

I 204. db2imtimeseriesnode £,

exponential_
smoothing

seasonal_trend
decomposition

db2imtimeseriesnode 54 ¥4y E4 Ay

time field s8se A, ARE == @A
targets g 22

forecasting_algorithm arima

exponential_splines

cubic_splines

forecasting_end_time auto

integer

date

time
use_records_all boolean FalseQ! 74-9- use_records_start %

use_records_end7} AA=|ojof hct.

use_records_start integer / time / date AZF deo] {3 ulg} o=
use_records_end integer / time / date AZE Heo] f3) ule oE
interpolation_method none

Tinear

IBM DB2 e L{7] EA
TS EAC IBM DB2 ISW 298 ARE3led 2Hsl= mel RS 913k 29k

ISW o124 Edg]

applydb2imtreenode 382 =9l tisl Aol=h= 54 EXJo] ssUch

ISW <%

o] Bd Yzle ~38l"olx H8E 4 gisuck
ISW =214

o] g Yzle ~IgHolx H8E 4 gisuck

ISW 3AEY
applydb2imregnode 39 =0 tisl] Heolxl= B4 EAdo] glsUrh
ISW %]

applydb2imclusternode &2 »to thall AHoleh= &4 EXdo] &yt

X
I
ox
n)
o
o
=
9
[>

ul
1%
ol



ISW Naive Bayes

applydb2imnbnode 82| =Eo| thel AHele= EA

ISW ZX|~E 3754

applydb2imlognode 82| ol s Aols]

ISW AAIE

o] B uzle Iy

=4 S4o] gL,

IBM Netezza Analytics DEzZIe| L= M

Netezza TEZ! = EMN
)8 EAJS [BM Netezza HloJEjH|o] A~ Ay S-To FEZJUT

205 35 Netezza =E EX4.

35 Netezza == =4 45 =4 A4
custom fields flag True?l 749 &4 =Cof digh 3z, o 2 7gf d=5 2

& 4 UFUTE FalseQ! 4¢ Y2EH 73 ko] A A4S

ARSI,

inputs [field] ... fieldN] Fdof|A AMEShs e Ee olSHS ey
target field = AE(UEY B HE9).
record_id field IF FEE APEAE ARE JEUoh
use_upstream_connection flag True(ZHEgHS] 79, A2-Ed r=o AAE A2 AlFARKIY
T} move_data_to_connection®] A=A ARSSEA] U
move_data_connection flag True?! 79 connectionol] 2J3 AHE HoJEH|o]2~2 Hlo[E]
£ o5t} use_upstream connectiono] A=A ARESIA|
i
connection structured Felo] AAE= Netezza HloEM|o]20l gk 934 ExIEIY)
okt oAl sk B4
['odbc' '<dsn>' '<username>' '<psw>' '<catname>'
'<conn_attribs>' [true|false]]
714,
<dsn>2 HlofE 42 o|F
<username> 2 <psw>= Ho]EjH|o] 20l ThEE AREA} ]S W 1)
s
<catname>2 7JEE1 o]F
<conn_attribs>E= 914 %4
true | false: HIUWEY} HAdA] SRS FAIFUT
table_name string o] #7E Hojem|olx HlolEe] olE]uTh
use_model_name flag TrueSl 78-¢- 29| o]F-C = model_nameol] oJaf A|HE ©lF,
A erom wHl olFo] AlzHlel ofsf 2MdHuUT:
model_name string Al 2o AR} Aol olgduth
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F205. 5 Netezza =5 54 (A1<).

3% Netezza x= 54 Fds 4 A
include_input_fields flag True}l 735

©™ record_id

oY H=s terEd Jddshal, J9A o
=

2
2

(o3
gl_[‘
o
ox,
(i
i @
!

LS S

Netezza 2 AFEA ET

TS EAS netezzadectreenode

8] =ol AR 73T

I 206. netezzadectreenode =3
netezzadectreenode 54 4y 54 A4
impurity measure Entropy EZIE e ] AAE Wkl
Gini ARBRE Bewo| EAduUrt
max_tree_depth integer Egpt A% 5 e A 5 YUtk
7189k 62(HAW 7Fsthduth
min_improvement_splits number o] AL =] A /M=yt
7R 0.0194T
min_instances_split integer o] WAL = 7] Aol g2 FIEA
e Hx dEs YUY 7R 23
2 7Fsth iy
weights structured Szl tigk doiak 7EAIgUSh o
Ao st B4
set :netezza_dectree.weights =
[[drugA 0.3][drugB 0.6]]
71Egke Be Szl sl 19 7FEAIY
et
pruning_measure Acc Z1EGE Acc3ES) YUYt A9A wAce(F
wAcc T AYgo)E THAPIE Aeske o &

B ES e El g

prune_tree options

allTrainingData
partitionTrainingData
useOtherTable

718758 allTrainingDatas ARESH] =
g AIeE Wrlshe AYYTh
partitionTrainingDataZ AMESI] ARE-
g 9 dolge HAEE AHsHAY,
useOtherTableS ARg3le] 2w dlolE
Hlo]2x HlolE2] & HloJE] HEE ARSS)
AN,

perc_training_data

number

prune_tree options7}t
partitionTrainingData® A= 749,
Tl AR TlofEle] HAES APty
=2

prune_seed

integer

prune_tree_options”}t
partitionTrainingData® AAE wj £
A} Aol AT W AEech F1
gre 19k

g

pruning_table

string

fd

8 e e A3 wwe] 7R
HloJE] ME2] HlolE o]=<ut)

A 15 & oleflol~ mely e B4 275



3£ 206. netezzadectreenode £ (A<,

netezzadectreenode S4J Zk Ex A
compute_probabilities flag True?l 745 AFTHEE)E o) d=

feg AT

Netezza K-+

RS- EXL netezzakmeansnode 382 Ltof AL 753

3£207. netezzakmeansnode =-79.

netezzakmeansnode =4 43 54 A4
distance_measure Euclidean dlole] A Alele] Ay ZAHo| AR HhHIYT
Manhattan
Canberra
maximum
num_clusters integer 2M3E T o, 7R 39Yth
max_iterations integer 1 Foll 7dl FHE SAT daels v o), 711Gk 5
ATt
rand_seed integer B Ay} EAo] A8 dg Al=olr, 718k 1234594

Netezza Bayes Ul

ThS EAJLS netezzabayesnode 5389 kto) ARS 7Ps3hch

F 208. netezzabayesnode 579

netezzabayesnode £ 43 54 A4

base_index integer Wi AE 918 3 WA e e A" oAb 2pazte|,
718 77794k

sample size integer 24 S} ule- 2 A9 HI #2979tk 71E5ES 10,000
ATk

display_additional_information flag True?l 79 #A1A] tis} “dzloll 71 2 HRE AT

type_of prediction best ARES d& daElEe] FEOR, bestZP AHE ol ),

neighbors neighbors(¢]%- 52 715 4d15) E& nn-neighbors('d ©%- &

nn-neighbors

Bo] opc.

Netezza Naive Bayes

ThS- EXL netezzanaivebayesnode -3¢ =t

3 209. netezzanaivebayesnode S75.

A 7PsE,

netezzanaivebayesnode £4J 7k EX Ay
compute_probabilities flag True}] 749 AlFFFEE)® o} o= =& AT
use_m_estimation flag True}] 7% 4 Sl 03k g&L I8 $1% m-estimation 7|

e AR
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Netezza KNN

ke EXL netezzaknnnode 32 ktof ARE 7Fsghich

3£ 210. netezzaknnnode E-79.

netezzaknnnode £4J ZF Ex A
weights structured A8 FEzell 7k Al b ARshe st SAYUTh
Sl
set :netezzaknnnode.weights = [[drugA 0.3][drugB 0.6]]
distance_measure Euclidean tlolel A Afole] Azl Sl AR YT
Manhattan
Canberra
Maximum
num_nearest_neighbors integer B4 Ao|ze tigt HITA ol =41, 71ERES 39Utk
standardize measurements flag True?! 745 Al #k= Al Aol 948 8 oo oigk
S4s FTsRRiU
use_coresets flag True}l 735 T AE BEFEE AE31] 2 tlofE] HE9 o
3k ARRS 753U

Netezza <€ %

TS EXL netezzadivclusternode 532 ko

A T,

F 211. netezzadivclusternode S73.
netezzadivclusternode 54 45 =4 A4
distance_measure Euclidean dlole] A Afele] Azl 4ol ARSE YT
Manhattan
Canberra
Maximum
max_iterations integer B Feo] SR Aol ek darElE WiEe] Hof ol
718Gk 5YUT
max_tree_depth integer tlole] AEZ} £2F7E e Al 75 o, 71Egke 39
Si=g
rand_seed integer S BEAlBR= H ARSHE W AIER, Z1ERRS 12345904
=g
min_instances_split integer B e #4 dEs 2, 71Ege 59U
Tevel integer YFZ=r}t 250 AHE AT FEoE, 7[Eg - 19U

Netezza PCA

ThS EXL netezzapcanode 532 =to] AL 7Psghch

F 212. netezzapcanode E7.

netezzapcanode £ k4 54 A
center_data flag True(71E7H8] 7-¢- 241 Ao tlole] AE|Z("Ho WAl olglar

= e s

Al 15 % doJEue]2s 2y



I 212. netezzapcanode 545 (AI<5).

netezzapcanode £4J k 54 Ay

perform_data_scaling flag Truel 73-¢ &4 Aol dlolE vl 24e 3T 134
3PA T2 Wt e AxellA] S8 w) BAe 9 Qoo
2 ¥ JFUch

force_eigensolve flag True?! 789- 4% 2= A8 Hoxx|ut o wE whHs
AR

pc_number integer dlofe] MEZ} F4E FE Froln, 7RGk 19Ut

Netezza 3|HEA EY

TS EAS netezzaregtreenode &9 ol AME 7FsTh

H 213. netezzaregtreenode 7.

netezzaregtreenode £4J ¥4 54 A4
max_tree_depth integer EgPt FE =& ool AL o+ e
A 7= o, 71832 1044t
split_evaluation measure Variance EZE 28 A9 445 Wkshe
Al Sl R SR, 71EghR
A FYE 34 Variance@UTh
min_improvement_splits number A o] EellA AAE7] Mol B
=Y APt
min_instances_split integer B e FHa das a9yt
pruning_measure mse 7HRIRZ 1 AR U
r2
pearson
spearman

prune_tree_options allTrainingData

useOtherTable

71EZES allTrainingDatas ARgSle] &

partitionTrainingData 4 Aeeg Wrishs Y4tk

partitionTrainingData® AR&3lo] ARE-
g 9 dolge HHEE AAsEA,
useOtherTable& ARg3le] XAH HlolH
o]z HlolEe] &7 HlojE] NEE Al83}

A,

perc_training_data number

prune_tree options7}
PercTrainingData® AAE= 79,
X!

o AR HlolEe] JHES APt

ek

Rid

prune_seed integer

prune_tree_options”}t
PercTrainingData® A%E w] £4 A
EAo) AR e Al=EdUTE Z1ERke
3t

- &

pruning_table string

me Ashe 3@y12 93k Wwo] 7[xX)7)
HlolE] ME2] HlolE o]=<Qut}

compute_probabilities

flag

TrueQl 79 AHE =0 ilo] &4
of Zgkejojof & AT

Netezza A8 3|7
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U

EXO netezzalineregressionnode 32| ktof ALE 7Fsghch

H 214. netezzalineregressionnode 5.

netezzalineregressionnode £4 * EA4] Ay

use_svd flag True?! 735 aFE S5 97X AE=E 98l def waksE o
Al BRI Bl wAEE ARt

include_intercept flag True(Z71E3hH] A9 &34 HA Fe=5 HY-

calculate model diagnostics flag True?! 73 Zlof| tigk s Ak

Netezza AAIE

Ths EA& netezzatimeseriesnode 82| =0 AME- 7Fs3Uch

3£ 215. netezzatimeseriesnode S74.

netezzatimeseriesnode =4 zk 54 A

time_points field AAIGe] G == ARE s T o
g Feurt

time_series_ids field AAE IDE k= A= FE2A, Y
o] £ o] NAIES ZTsh= 9ol A
S

model_table field Netezza AAIE 2do] A== o]
o]z~ Holg9] o|FYyrh

description_table field AAE olF 2 AW x3sle 9 Hlo]
9] olFYyrh

seasonal_adjustment_table field A == AR A4 B3l garelsel
o) AntElE AldHow 249 Fo] A4

= =9 HlolE] olEduTh
algorithm name SpectralAnalysis EE spectral AAE meEge] AMgshs daElEdyTh

ExponentialSmoothing = esmoothing
ARIMA

SeasonalTrendDecomposition T std

trend_name N Arggte] A 53
A N - QL
DA A - 7hH
M DA - RZFH4 71
DM M- &
DM - &3k 5
seasonality_type N Ayl thet AEA 53:
A N - QL
A -7
- 9
interpolation_method Tinear ARgE BIPH P
cubicspline
exponentialspline
A 15 % wojelol~ 2y e B4 279



3£ 215. netezzatimeseriesnode % (Al<5).

netezzatimeseriesnode =4 k4 =44 A
timerange_setting SD AREEE ARRE 9] A
SP SD - ARl FEAAIL HloEe] XA ¥
AR
SP - earliest_time % latest timeg
T8 AR A
earliest_time integer timerange_setting®] SPl 7% A2k &
latest_time date & U
time FH2e time points #S wtol Tt
timestamp dE 5 time_points B=7} IHE X
FahA oRE oo Fhick
q:
set NZ_DT1.timerange setting = 'SP’
set NZ_DTl.earliest_time =
'1921-01-01"
set NZ_DTl.latest_time =
'2121-01-01"
arima_setting SD ARIMA €a1e]E2] A4%(algorithm_name
sp o] ARIMAZ AAH Aok ALg):
SD - Alose]
SP - AREAF A
arima_setting = SPS! 74 TR 2FE
ARgste] AP 2 A gks ARshiA L.
AEAERE 3):
set NZ_DT1l.algorithm_name = 'arima’
set NZ_DTl.arima_setting = 'SP’
set NZ_DT1l.p_symbol = 'lesseq'
set NZ_DTl.p = '4'
set NZ_DT1.d_symbol = 'lesseq'
set NZ DT1.d = '2'
set NZ_DT1l.q_symbol = 'lesseq'
set NZ_DTl.q = '4'
p_symbol less ARIMA - p, d, q, sp, sd, sq 2=l o
d_symbol eq gk kzk:
q_symbol lesseq l:s_s Qg‘ﬂ
sp_symbol
= lesseq - °J3}
sd_symbo]l
sq_symbol
P integer ARIMA - Z7Pde] vIAE X<
q integer ARIMA - vAE 348 Zh
d integer ARIMA - 22lo|A o= W =A12] vIA|
d WS,
sp integer ARIMA - AP Pdate] A a5
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3 215. netezzatimeseriesnode 7% (AlZ5).

netezzatimeseriesnode 54 * 54 A9
sq integer ARIMA - A4 34 3k
sd integer ARIMA - E=oj|A o]F H Ao A
ke
advanced_setting SD I A A S BEgoh
sp SD - Al=el wh
SP - period, units_period %
forecast_settings B3+ ARSAF AA.
a:
set NZ_DTl.advanced_setting = 'SP’
set NZ_DTl.period =
set NZ_DTl.units_period = 'd'
period integer units_periode} A A== A =8t
9] ZolQlut}. ~HER Hjoll= 2857
Uh
units_period ms period7} FHFE Uk
s ms - Yz
min s - F
h min - &
d h - ARt
wk d -4
wk - F
y q - &1
y-d

& Eol, 8 AAILS] 79 periodel o
3l 1, units_periodol tisl] wkE ARESH

AA L.
forecast_setting forecasthorizon dlEgke] AAEE WS AP
forecasttimes
forecast_horizon integer forecast_setting = forecasthorizon?l
date A5 AL BAe] Exe AU
time 2l time_points gt welok it
timestamp A= S59] time_points T=r} @RS &
b o= ool ik
forecast_times integer forecast_setting = forecasttimes<! 7
date 5 ISk 2ol AR gk AT
time 2l time_points gt welok ok
timestamp dE E°] time_points B=7} S5 E
st o= Htofol gt
include_history flag 32K Fro] o) I3EEA AFE
A
include_interpolated values flag HI¥E gho] 28 2FEEA] RS BA

FHtt include_history”} false?l 735
e Z8=7 5T

A 15 % dloleflol~ maly e B4 281



Netezza Y¥ks} 418

RS EXE netezzaglmnode 739 o AR 7Fs3Uch

I 216. netezzaglmnode E74.

negativebinomial

netezzagimnode 54 Zk Ex] Al
dist_family bernoulli EE F3olnd, 71Egk2 bernoul 11 Uk,
gaussian
poisson

wald
gamma
dist_params number AR Byxws 14tk distribution
o] Negativebinomial?l 73-$llut 28 7}
FEUh
trials integer distribution®] Binomial$l 73-$-ollgt =
& 7P E3E wkgo] Al FrollA B
Asl= oMIE 47 o, target H=oll= ©]
HIE 47} 50] QAL trials EollE A
& 7t ol IFUTh
model_table field Netezza ¥k} Ay mHlo] AA =)= o]
Ejdlo]2: Hol&e] o]FJuch
maxit integer Gl il Aol REE Ut 7]
Egke 2044tk
eps number daegol] H2 sk Bd 2E Aok
ske Hdl &F #le Res w3l
Udh. 7183k 302, [E-3 T= 0.001S
gk
tol number 1 ofgloll @F77F 09 #E ZhE o=

AeEhs A R )Pk 7]
RZRe 72, 1E-7(5= 0.0000001) okzje]
SF A2 Fongt Zlo = AGEE on
[B]=3
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I 216. netezzaglmnode 574 (A<5).

invnegative
invsquare
sqrt
power
oddspower
log

clog
loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom

cannegbinom

netezzaglmnode S4J Zk =4 Ao
Tink_func identity AREE Aglro, 71EE TogitYuTh
inverse

link_params

number

AR EE Bg iUt
Tink_function©] power == oddspower
]l Aol A8 < sy

interaction

[[[colnamesl],[levelsI]],
[[colnames2],[levels2]],
....[[colnamesN],[levelsN]],]

e Alolo] AJoaRe-S AT
colnamest= P8 Fro] EEo|1 [evelS
7} Feof sl 04tk

o

[[["K","BP","SeX","K"] , [0’0’0’0]] ,
[["Age","Na"],[0,0]]]

intercept

flag

trueql ¢ HHS melol] ZPch

Netezza TE! LiZ] EM

the SHE Netezza dlofefilol: 28l Wzlo] FEALU

H217. FE Netezza EH 97 B4

35 Netezza 29 7] 541 7k Ex A9

connection string welo] A= Netezza Hlo[EjHo] ol Tiat &2 B4}
E=RAE =

table_name string Fdo] A7 glolgso]~ HolE9] o]E&uUch

Al 15 7 deoleuo)l2 =l

o,
¢
!
r




3£ 218. Netezza

=8 L] 2TYE ol

w2 w7l 2IRE °o]F

PEA E applynetezzadectreenode
K-+ applynetezzakmeansnode
Bayes 4l applynetezzabayesnode

Naive Bayes

applynetezzanaivebayesnode

KNN applynetezzaknnnode

4 73 applynetezzadivclusternode
PCA applynetezzapcanode

AR Eg applynetezzaregtreenode

A 3 applynetezzalineregressionnode
AAE applynetezzatimeseriesnode

applynetezzaglmnode
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— B4 wms AR o5 A AiF A% o) SEe WG, B4 et Shi okl w
| Q‘| U2l sl elEgkah A gk Alole] Thkek vl SRR, R o) RS AR Mad E U
— e,

A

node = stream.create("analysis", "My node")

# "Analysis" tab

node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve accuracy", 3)
node.setPropertyValue("inc_user_measure", True)

# "Define User Measure..."
node.setPropertyValue("user if", "@TARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user_else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by fields", ["Drug"])

# "Qutput" tab

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full filename", "C:/output/analysis_out.html")

F219. analysisnode 573.

analysisnode =4 dloe] 3 54 A4
output_mode Screen 9 rraye s 2] i 9
File A5 NSk o AR
use_output_name flag AREAF Ao 647 olFe] AR ofF
£ Ak
output_name string use_output_name®] true?l 4% ARES
o5& AT

285



I 219. analysisnode 579 (7<)

analysisnode 54 dlefe] #3 =44 A

output_format Text(.zxt) Z2o] {88 AAsR= o ARSI
HTML(.html)
Output(.cou)

by fields list

full_filename string O]~ o] &= HTML =21 79,

29 59] olEUrh

coincidence flag

performance flag

evaluation_binary flag

confidence flag

threshold number

improve_accuracy number

inc_user_measure flag

user_if expr

user_then expr

user_else expr

user_compute [Mean Sum Min Max SDev]

dataauditnode EM

HolE A= e Rt $A, 7 B
3 Ang wHejo] Holeld] tig TeAel

B 2 mEE s 9 gEskn AeE &

Kkl AIBIUICE Asks AR =27] e 2 Hlo]

gk SlaETEy) Bl ole) opdgk, A=gk, Skl ol
ARE 71
S = o] 4% = TAIEYLL

S

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("dataaudit", "My node", 196, 100)
stream.link(filenode, node)
node.setPropertyValue("custom fields", True)
node.setPropertyValue("fields", ["Age", "Na", "K"])
node.setPropertyValue("display graphs", True)
node.setPropertyValue("basic_stats", True)
node.setPropertyValue("advanced stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier_detection_method", "std")
node.setPropertyValue("outlier detection std outlier", 1.0)
node.setPropertyValue("outlier detection_std extreme", 3.0)
node.setPropertyValue("output_mode", "Screen")
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3£ 220. dataauditnode E73.

dataauditnode S4J

FloTe] 74

f
il
ol

4
o

custom_fields

flag

fields [fieldl ... fieldN]
overlay field
display_graphs flag =9 oA Teze] BAE AAY 11
+ ol ARSIt
basic_stats flag
advanced_stats flag
median_stats flag
calculate Count AZE Akl dl ARSI either,
Breakdown both B= neither AT WHE Aeisii
AL
outlier_detection_method std opdar B Skl tigk T BPHE A
igr Aeh= ol AR
outlier detection_std outlier number outlier detection method’} std<! 73
T, oVdEkE Aoske l AR8skeE st
E Ak
outlier_detection_std_extreme number outlier_detection_method”} std<l 7
T+ SEEE Aoske l AR8ske Ak
& Ak
outTier_detection_iqr_outlier number outlier_detection_method”’} iqrel 73
T, oS Aok Hl A8k At
£ At
outlier_detection_iqr_extreme number outlier_detection_method”} iqrel 7
T+, SEEE Aoske l AR8ske Ak
= Ak
use_output_name flag AR o] = o]Fe] AR oA
£ At
output_name string use_output_name®] truel 75~ ARS8
olg= APk
output_mode Screen =8 woeye Ysie 228 i 9
File A& Ask= vl ARSIt
output_format Formatted(.tab) F99] 79& A= ol AP
Delimited(.csv)
HTML( html)
Output(.cou)
paginate_output flag output_formato] HTMLY uf Z&o] |
oAZ FEEA THEUTh
Tines_per page number paginate_output®} 3 A8 W =
ol FolXg & & AT
full_filename string
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matrixnode §4

B ot e Aole] WAE EASKE Hole T F 715 WE Alole] WS B 9]
s 7k Qwblos ARSI Bela BEL X Be Alole] WA AT gtk

A

node = stream.create("matrix", "My node")

# "Settings" tab

node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")

node.setPropertyValue("column", "Na")

node.setPropertyValue("cell contents", "Function")
node.setPropertyValue("function_field", "Age")
node.setPropertyValue("function", "Sum")

# "Appearance" tab

node.setPropertyValue("sort mode", "Ascending")
node.setPropertyValue("highlight top", 1)
node.setPropertyValue("highlight_bottom", 5)
node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])
node.setPropertyValue("include totals", True)

# "Output" tab

node.setPropertyValue("full filename", "C:/output/matrix_output.html")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate output", True)
node.setPropertyValue("1ines_per_page", 50)

3£ 221. matrixnode E7.

matrixnode 54 dloje] 43 =4 Ao
fields Selected
Flags
Numerics
row field
column field
include missing_values flag ARgAF AZ(E) 9 A2E AZ0g) 7k
o] 3 9 4 E=ol] EIEE=A] oHE A
Ao,
cell_contents CrossTabs
Function
function_field string
function Sum
Mean
Min
Max
SDev
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3£ 221. matrixnode % (A1<).

matrixnode 5 dlefe] 73 =44 A
sort_mode Unsorted
Ascending
Descending
highlight top number 0°] oA trueJUTh
highlight_bottom number 0°] o™ ruePUck
display [Counts
Expected
Residuals
RowPct
CoTumnPct
TotalPct]
include_totals flag
use_output_name flag AREAL Aol E8EH o5 ARE o
5 A9k
output_name string use_output_name®] true! -5~ ARESF
olFS AP
output_mode Screen =9 roENE A= S o 9
File 215 APgehe ol ARSI
output_format Formatted(.tab) £99] F3& ARk ol ARSI
Delimited(.csv) Formatted & Delimited &4 & T} &=
HTML(.html) A2} transposedE HE 4 =, ©]
Output(.cou) 71 HlolEe] 3 g5 XA
paginate_output flag output_formato] HTMLY w] &o] 7
OFE FHEEA TEUT
Tines_per_page number paginate_outputd} 3V AL o &
29 HoA & FE5 Adduch
full_filename string
meansnode §4
Bt ke 5 AT Abe] e dE Buo] 4 Alole] g vlwste] ARt 2ot EAskEA] o
éi:?f FE5 AT dE B0l ZeRAS Adlsp] M5 it 5okS Blus g 2R RS BR] oke 11

<A

node = stream.create("means", "My node")
node.setPropertyValue("means _mode", "BetweenFields")
node.setPropertyValue("paired fields", [["OPEN_BAL", "CURR_BAL"]])
node.setPropertyValue("label correlations", True)
node.setPropertyValue("output_view", "Advanced")
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node.setPropertyValue("output mode", "File")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/means_output.html")

3£ 222. meansnode E4.

meansnode <3 dlele 3 4 44
means_mode BetweenGroups dlofelel] thall A it A1 fEs
BetweenFields gt

test_fields

[fieldl ... fieldn]

means_mode”} BetweenGroups® A<
w244 =S AT

grouping_field

field

e e A

paired_fields

[[fieldl field2]
[field3 field4]

..

means_mode”} BetweenFields= A%<

o) ALg3 We 4 AP

Tabel correlations flag 2FA glolEo] ERoll TAIERE=A] o
BE 23Rt o] A% means_mode
7} BetweenFields® 274 wjvl &
Hyd

correlation_mode Probability FHATE BE e dUige = gols

Absolute A ARE AP

weak_label string

medium_Tabel string

strong_Tabel string

weak_below_probability number correlation_mode’} Probability= A
42w, Rk Al gk Ak g
<= AgPUTE o2 0} 1 Afole) gk
olofof FTH(«l: 0.90).

strong_above probability number 73t AsEdAle] tigk AAL gy

weak_below_absolute number correlation_modeZ} Absolute= A4
2w, o Al gk A gks
A oA 03} 1 Aole] golo]
oF Frtkell: 0.90).

strong_above absolute number 73t Al ik AAL gy

unimportant_Tlabel string

marginal_Tabel string

important_label string

unimportant_below number Sko g FQwof tigh AR iy
ol5e 03 1 Afe]] gholofo} gtk
: 0.90).

important_above number

use output_name flag AREAE ] F=Ad olEe] ARG o
£ ATtk

output_name string AR o]

output_mode Screen =8 LR YAsEE 23 51 ¢

File 215 AU
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3£ 222. meansnode E4 (AZ).

meansnode 5-J dlole] 73 54 A9

output_format Formatted(.tab) 49| 49L& AEPUCH
Delimited(.csv)
HTML( homl)
Output(.cou)

full_filename string

output_view Simple E90 o = v WOV IAEE
Advanced A RS AT

reportnode S

Al

B3N St Y BaEw oheh Hole B wlolEERE SE JE E84S T3 P45 Ba
AE AU SiE SEES Ag3Iel BaMe] P42 Agele] 1Y B 9 Holy &
& Rolguick. WELEN HIML B8 AM83ka 2 Sl 8€ Agsted AHgA 3] o
sk ABE 4 Uitk WSS CLEM T3S AMSsial dlole] gkt 7l 2o 298 =

& 5 FU

node = stream.create("report", "My node")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full filename", "C:/report output.html")
node.setPropertyValue("1ines_per_page", 50)
node.setPropertyValue("title", "Report node created by a script")
node.setPropertyValue("highlights", False)

3£ 223. reportnode

reportnode S4J dlo]e] 43 =4 Ao
output_mode Screen =9 eRRE AdEE S o 9
File A5 AAehk= Hl ARSI
output_format HTML(.html) Y &) 49 Agehs ol ARRE
Text(.txt) [B]=2
Output(.cou)
format Auto o] AFo = Pl "IZTE
Custom Z3E HTMLS AR83sle] siEEs
Adis= d AU "IEEElA
HTML g28}E A3l Custome
A7gEHdA 2.
use_output_name flag AR o] A o]FL] ARE oA
£ A
output_name string use_output_name©] true?l 739 AR
o5& AP
text string
full_filename string
highlights flag
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I 223. reportnode 54 (A1%5).

reportnode S4J tlolg] §3 Ex A9
title string
lines_per_page number

routputnode 4

F 224. routputnode 7%

R % =8 Ag3hA dole @ A 359 A8 39l R
STYES SR BY 250ige] AN BT S et B
4 Agke g ToiY S gk A Belt R
o %9 Gl FHEAL, el U A2 AEE F U]

routputnode £4 dlele] 75 =4 A
syntax string
convert_flags StringsAndDoubles

LogicalValues
convert_datetime flag
convert_datetime_class POSIXct

POSIXTt
convert_missing flag
output_name Auto

Custom
custom_name string
output_to Screen

File
output_type Graph

Text
full_filename string
graph_file_type HTML

cou
text_file_type HTML

TEXT

cou

setglobalsnode 54

A
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node = stream.create("setglobals", "My node")
node.setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])
node.setPropertyValue("clear first", False)
node.setPropertyValue("show preview", True)

£ 225. setglobalsnode 5.

setglobalsnode £4J

Aol 3

globals

[Sum Mean Min Max SDev]

AdE Jovt thy TSR FEEolof
She TSl B4
node.setKeyedPropertyValue(
"globals", "Age", ["Max", "Sum",
"Mean", "SDev"])

clear first flag
show_preview flag
simevalnode 54
— AEEC W s Ee ARE dS Ha =8 Wlslal Sat sl Uk £ 9 A JRE A
‘ ) TR
F226. simevalnode E4.
simevalnode =4 dlele] 3 =4 A
target field
iteration field
presorted_by_iteration boolean
max_iterations number

tornado_fields

[fieldl...fieldN]

plot_pdf boolean
plot_cdf boolean
show_ref_mean boolean
show_ref_median boolean
show_ref sigma boolean
num_ref_sigma number
show_ref_pct boolean
ref_pct_bottom number
ref_pct_top number
show_ref_custom boolean

ref_custom_values

[numberl...numberN]

category_values

Category
Probabilities
Both
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3£ 226. simevalnode E4% (A<5).

simevalnode =4 dlofe] 3 Ex] A9
category_groups Categories
Iterations
create_pct_table boolean
pct_table Quartiles
Intervals
Custom
pct_intervals_num number
pct_custom_values [numberl...numberN]
- - E
simfitnode &4
ABeloPd A3 o 7 Beol gl wlolele] B RS 45k 2 oo Aol A R¥st A
e AlEEeMd AR ==F AREE FulolE)RUth AlEdlold A =5E AREsie] AlEdolds Tl

olElE S 4

3£ 227. simfitnode 7.

simfitnode =4 dlofe] #3 =44
build Node
XMLExport
Both
use_source_node_name boolean
source_node_name string A JUPlEHL Ye A EE

of ARSAR A2 ol

use_cases ATl
LimitFirstN
use_case_limit integer
fit_criterion AndersonDarling
KoTmogorovSmirnov
num_bins integer
parameter_xml_filename string
generate _parameter_import boolean

statisticsnode EA

FAF wme 4 ool Ba I R0k 4RE AFIIG AL Huo) the ReF AT 2 Be A
| 2x ole] AAsE ARk

A

294 1BM SPSS Modeler 18.0 Python 2~THE 2 253} ShjjA



node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["mean", "sum", "sdev'])
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels..." section
node.setPropertyValue("label correlations", True)
node.setPropertyValue("weak below absolute", 0.25)
node.setPropertyValue("weak label", "lower quartile")
node.setPropertyValue("strong_above_absolute", 0.75)
node.setPropertyValue("medium Tabel", "middle quartiles")
node.setPropertyValue("strong label", "upper quartile")

# "Output" tab

node.setPropertyValue("full filename", "c:/output/statistics output.html")
node.setPropertyValue("output_format", "HTML")

3£ 228. statisticsnode S

statisticsnode 54 dlofe] 3 4 A4
use_output_name flag AREAE Aol AT} o]Fe] ARE ofF-
£ APgduch
output_name string use_output_name©] true?l 749~ AREE
oI5 AT
output_mode Screen 28 oeRE AAEs 226 i 9
File A& A= Hl AT
output_format Text(.txt) 89| 598 A= ol ARSI
HTML(.Atml)
Output(.cou)
full_filename string
examine list
correlate list
statistics [count mean sum min max

range variance sdev
semean median mode]

correlation_mode Probability FAGE B e duigie = dols
Absolute G| ARE AR

label_correlations flag

weak_label string

medium_Tlabel string

strong_Tabel string

weak_below_probability number correlation_mode”} Probability= A

A W, o ARl tiek ) 7k
& AT oBRE 07} 1 Aole] gk
ofojof FITKe: 0.90).

strong_above_probability number 733 Al tigk MAL iUt
weak_below_absolute number correlation_modeZ} Absolute= A4

2 w), ok ARl Rk A ke
AR oA 03} 1 Aole] grolo]
oF Fhitkel: 0.90).
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I 228. statisticsnode 54 (A1<5).

statisticsnode 54 dloje] 43 =4 Ao
strong_above absolute number 73t Ao gk AAL aduych

statisticsoutputnode S

SAH £ ==& AME3PE IBM SPSS Statistics Z2A|AE &3] IBM SPSS Modeler HIoJEIS
@ AT & 5tk 3ELIg IBM SPSS Statistics £4 Z2AIAE ARE 4 JFUTE o] ==+ IBM
=== SPSS Statistics2] /\}%ﬂ ARl H o).

o] LEo] EAL 314 Ho]A]9] [statisticsoutputnode E4JPlIA Arguct,

tablenode 4

= Blol wEi HolElg ¥ FH0R BABRSH), ol TRldl & S ik ol WAl 2 5 3

e £ o Hlole g EABPL el @ ) feach

<Al

node = stream.create("table", "My node")
node.setPropertyValue("highlight expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose data", True)
node.setPropertyValue("full filename", "C:/output/table output.htm")
node.setPropertyValue("paginate output", True)
node.setPropertyValue("lines_per_page", 50)

3 229. tablenode E7%.

tablenode £4 dloje] 3 =4 A
full_filename string 2=, dlolE == HTML &2l 4%, &9
o] o]EYurh
use output_name flag AREAE Aol S o]Fe] AR ARE AR
ok
output_name string use_output_name®] true?l 73-¢- AFEE ol&
< ARk
output_mode Screen =9 xTINE YPEE FHY o SRE
File Agehe Hl ARSGUTH
output_format Formatted(.zab) 99| S Ak o ARFUTh
Delimited(.csv)
HTML(.Atml)
Output(.cou)
transpose_data flag o] JuF VRl do] HIE=E U=
= Yrul7] Jdef vlefels Mgk
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3229, tablenode £ (H)Z5).

tablenode 4]

FoTe] 74

Y

J A

o [}

4

paginate output flag output_formato] HTMLY w] E&o] Hox|=
TEEA RFEUTH

Tines_per_page number paginate_outputd} ¥ ARES o] 9 )
ol & & ARhch

highlight_expr string

output string =7k A vpxet EolRel ol g2 B

FRe oV A% SYI

value_Tabels

[[Value LabelString]

[Value LabelString] ...

kol tigk glolee APgsk= |l ARt

display_places

integer

FAIE ) Feof thEk A7 olst AlelE A
7‘5]??:]"4‘—4-(REAL ;(-]xl— 37 g x‘_:_ .\é:oﬂu} Pl
49, # -1e 2B 7JEgke ALgshc),

export_places

integer

R o] oo gk 2224 s zlelee A
AFHTHREAL A 27h8 zk= ol A
83, gt -1 2~EY 71HEgES AMFR

decimal_separator

DEFAULT
PERIOD

COMMA

Boo| 24 TRAE AYHUCHREAL A%
% 26 PEOT H8).

veE R

o

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

g Q YYYY

ww WK YYYY

g9 G 2 '—% AHFUTHDATE E=
TIMESTAMP #3278 zh= Hojqt 285,




3229, tablenode €% (A%).

tablenode 54 dloje] 3 54 A4
time_format "HHMMSS" o o] AZF FAls AAFYHTIME =
"HHMM" TIMESTAMP A%+ 1S zK= Feofnl 284,
"MMSS "
"HH:MM:SS"
"HH :MM"
"MM:SS"
"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH . MM"
"MM.SS"
"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"
column_width integer gro] o uHlE ARtk F -12 € yn
= AutoZ AATHICH
justify AUTO geo) 4 ses Aok
CENTER
LEFT
RIGHT

transformnode &

N\ g L TE ARSI AeE sl A8k ol W AvE Ausia Ao mElE 4 Qisuch
flx)+

of| )

node = stream.create("transform", "My node")

node.setPropertyValue("fields", ["AGE", "INCOME"])

node.setPropertyValue("formula", "Select")

node.setPropertyValue("formula_Tog n", True)

node.setPropertyValue("formula_log_n_offset", 1)

3 230. transformnode E-79.

transformnode S4j dole] 3 54 Ay

fields [ fieldl... fieldn] %ﬁ%ﬁlAH?@-%kz%Lh#

formula ATl BE mE A wgle] AlklElojof &)

Select oA A= E’\]@%E‘r.
formula_inverse flag RS AR AR E FAFUT

298
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I 230. transformnode 579 (A).

transformnode 54 dlole] 3 54 AY

formula_inverse offset number T2l AR HolE] @3z ”% FAIRY
ok ARAPT AeRA] e 3 71EA S
2 002 shck

formula_log_n flag log, W%k ALE- oI55 FARMTE

formula_log _n_offset number

formula_log_10 flag log,, W& ALE- oF-E FARRTY

formula_log_10 offset number

formula_exponential flag 7 HEHeY) AME RS FARL

formula_square_root flag Xﬂ‘é‘E‘ Hel ARS- ARE AT

use_output_name flag AR Aol AT} o]ge] AR ofF-
< Ak

output_name string use output name®] trueQ! 749 A3

olgS AT
output_mode Screen =9 woeRE AAEs 2] i 9
File A& AAshRs vl ARSRTH
output_format HTML(.html) E99] 5398 A= ol ARSI
Output(.cou)

paginate_output flag output_formate] HTMLY wf & o] =
oAZ FEHA TEUTh

Tines_per_page number paginate_output¥} ¥ A8 u] &
o] HolAg § +E AT

full_filename string T ZHol| ALgS uld olE-S A

ek
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M 17 & =L | & &4

38 UELI| = §4
g B4e RE U] xS FEHuh

F 231 FF YEYY] == Y

=4 %k 54 A

publish path string E3 ovr] & B FjYdo)| AREE rootname ©|
55 AgsiiAL

publish metadata flag olmz] & & dlolgy mgle] o 9 EHS A
o= wEfEofE] o] ARE=A1E AARIICH

publish use parameters flag 2E7] B4} * par TPl EIEEAE AU
=g

publish_parameters TAE = x5k B5E AL,

execute mode export_data o7 2ERLS E9slA] §dal AdlisheaA] o &=

publish € =27 AsE o 2Efle] 2508 E9EE

asexport 54

Analytic Server WXRU|7|E A83PH HDFS(Hadoop Distributed File System)oll4] 2E&5-S g 4= Q)

=
Of[A|

node = stream.create("asexport", "My node")
node.setPropertyValue("data_source", "Drugln")
node.setPropertyValue("export_mode", "overwrite")

I 232. asexport 5.

asexport 5% dlofe] 73 54 A4
data_source string dlolE] A29] o)F
export_mode string U2 glo[HE 71 dlol el 204

m7[3HEA] ofid F1E Hlole] 28 o

Ofm7[akeA] ofig AHTE

cognosexportnode 54

E IBM Cognos BI WEu}7] ==& HoJElZ Cognos BI HloJElH|o]27} ¢1& 4= = Aoz Yuyiy
9 -
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o] =0} 79 Cognos 4 E ODBC 4< “Aofsllok .
Cognos 9i&

Cognos 2< #I3F 542 o3 AUtk

3£ 233. cognosexportnode 543

cognosexportnode £ dlofe] 3

4 A9

cognos_connection ["string","flag","string", "string", "string"|

Cognos Aol gt 14 AlFARE o] 23k &
5 EAYUT. 42 &3 ZEuyth
["Cognos_server URL", Togin_mode,
"namespace", "username", "password"]
o714,
Cognos_server_URL &5 ¥3I5H= Cognos
AlR1e] URLYIUIT
Togin_mode: <% Z1918 ARESHEA] o
£ TAIBH, true T falsePuth trued
739 Ty "=t "2 AdAE]ojof st
namespace:= AJHol] 21.231= H] ARESR= B
RF QIF AlFAE AT
username 2 passwordi= Cognos A[Hel 271
2oh= ] ARgShs YUk
Togin_mode til, 5 BEt ARSE = QU5
Hrt.
» anonymousMode. :

['Cognos_server url', 'anonymousMode',

"namespace", "username", "password"]

» credentialMode. o
['Cognos_server_url',
'credentialMode', "namespace",

"username", "password"]

» storedCredentialMode. <]
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]
o37]A4] stored credential_name ]34
Egoll = Cognos Al AHeo| o]2Uc},

cognos_package_name string Hlo[EE UlEUlaL 2= Cognos 3712 A=
o} oyt A
/Public Folders/MyPackage
cognos_datasource string
cognos_export_mode PubTish
ExportFile
cognos_filename string
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ODBC oiAd

ODBC ¢Ze] EAL t}e Hoj4 databaseexportnodeo]] thall UEx= A} SUsEA4LE datasource &
o] FESHA] e HLe o9l dYych

databaseexportnode S

| tlojEfulo)l2 EW7] == Hlo]HE ODBC & dAIE Hlold &2 7153tk ODBC HoJE 4

-
=
saL

!

A

2ol 27] $f3l) Hlole] a2rh EASIAL ARgARIAl 227] Ajlo] Qlofok ghrh

Assumes a datasource named "MyDatasource" has been configured

stream = model
db_exportnode

er.script.stream()
= stream.createAt("databaseexport", "DB Export", 200, 200)

applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tab

db_exportnode.
db_exportnode.
db_exportnode.
db_exportnode.
db_exportnode.
db_exportnode.
db_exportnode.
db_exportnode.
db_exportnode.

setPropertyValue("username", "user")
setPropertyValue("datasource", "MyDatasource")
setPropertyValue("password", "password")
setPropertyValue("table_name", "predictions")
setPropertyValue("write_mode", "Create")
setPropertyValue("generate_import", True)
setPropertyValue("drop_existing_table", True)
setPropertyValue("delete_existing_rows", True)
setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.
db_exportnode.
db_exportnode.
db_exportnode.

setKeyedPropertyValue("type", "region", "VARCHAR(10)")
setKeyedPropertyValue("export_db primarykey", "id", True)
setPropertyValue("use_custom create table command", True)
setPropertyValue("custom create table command", "My SQL Code")

# Indexes dialog

db_exportnode.setPropertyValue("use_custom create index command", True)
db_exportnode.setPropertyValue("custom_create_index_command", "CREATE BITMAP INDEX <index-name>
ON <table-name> <(index-columns)>")

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields", ["id", "region"]])

3 234. databaseexportnode 573

databaseexportnode =4 dloje] 3 54 A
datasource string
username string
password string

A 17 2 Ry

-
=

=
54
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3 234. databaseexportnode 579 (Hl%5).

databaseexportnode S4J

dlole] 73

epassword string o] 52 Ay Tl ] AUt =
B HYHSE st =7 vilyrellA
AR 7FsS HIEHE =75 ARSSHIALL
AR Zne f6 oSl T1=gH wig
R =TT
table_name string
write_mode Create
Append
Merge
map string 2EdY I 0|22 floJgHo]~ &E o]S9
wsgEUcHwrite_modeZ| Mergeg! 7%l
)
wiel 2%, BE Berh Ry S
A= gEolof g Heleuolzo) &
At o= = olF2 A €= Y
o,
key fields list 7l AM8ERE 2~E¥ =g Ageuch
map 5732 ozlo] lofefHo] ok vj-gs)
£ 58 FARIG,
join Database
Add
drop_existing table flag
delete_existing_rows flag
default_string size integer
type B e
=43
generate_import flag
use_custom_create_table_command flag 5= CREATE TABLE SQL ™#H-S 4743}
W custom_create_table 52 AME3IAIA
L.
custom_create_table_command string 35 CREATE TABLE SQL =¥ A&l AF
8 249 WS AP
use_batch flag TR 42 dlofEuo)lx e 2ES 918
IF |AJULE Use batche] True a2
tlojEo] 2ol thEk B An|ES Fuch
batch_size number HEE ArEsE] o vlofElo|l~= B
9 gFE FE AUt
bulk_Toading off Wi 2=of #%2 AT 00BC 2
0DBC Externalell Tigh 371 410 olefjel] yd
External Huo
not_logged flag
odbc_binding Row ODBCE 53t & Z=of oigh &) W3k
Column T g e RIS APgsAl L.
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3 234. databaseexportnode 59 (H).

databaseexportnode 54 dlolg] 83 Ex A
Toader delimit_mode Tab R x2IPe B U 2uo] A9
Space A S AeHAL. H3() 2 T
Other BAE A7gslEw Others

loader_other_delimiter
/97 A AL

loader_other_delimiter string

specify data_file flag True ZZ 2= okl data_file A4S
DAsIsR=H, A710lA vlofEHo] 2ol e
2o o 298 9 ol HEE A
g 4 SFUT

data_file string

specify_loader_program flag True ST+ ©lell] Toader program &
A4S 2SI, 7oA eF 26 23
HEW Z=T80] o5 XS AT
AU

loader_program string

gen_logfile flag True Z2 1= 2 Togfile _names 24
sleh=t, o7l oF 25 AET A
Hell 9= o] o]F-S AT 4 EFY]
=g

logfile_name string

check_table size flag True 2= ElolE AP} dlojEj#o] 2
glolE =7]e] F7}do]l IBM SPSS
Modelerol|A] WEUZ] &) Fl tf-33l5=
s o sych

Toader options string -comment % -specialdir && 7} 9l
TE 20 22790 AAEMIAL.

export_db_primarykey flag Foizl vt 71 7IR1IA] RS AR
=2

use_custom create_index_command |flag truel 79 B Agpol] thek AREA} Ao
SQL= 7Fs3iAl g

custom_create_index_command string AR8AL 2] SQLo] AR 7 Wl AlE
2dslE Hl ARgShe SQL HHS ANY
yrk (o] 72 ofefoll ®AIE thz B4 A
ol sl oiAlE 5 UFHITh)

indexes.INDEXNAME.fields Q3 A AAHE A= Ak sl
Agpol|l Z3E FE oS YEFT

INDEXNAME flag EA4 2ol OS] ARl 2] SQLS ARE:

"use_custom create_[Jindex_command" T AR Bk Hl ARSSUSE o
Fo] dE Fxshiale.

INDEXNAME string A Aol AR8she AREAE Aol SQL

"custom create_index_command" S AT o ® Fe] dE HxsH
AL

indexes . INDEXNAME . remove flag Truedd 7% A AlEA 2" 45

AAG

A 17 & yEy) == 54 305



3 234. databaseexportnode 579 (Hl%5).

databaseexportnode 54 dole] =3 A4 Ay

table space string 23E HolE2mo|l2~E AP

use partition flag 2l BA] B ARSSIES AT
partition field string 2 Al FEo) 8-S AT

o AR glofeo)2~o] 75 dlolEH]o]2 HolEo] U=(dlS E91, SQLoIA CREATE TABLE MYTABLE
(...) COMPRESS YES;9] 57h¥ 3 HEWIE S8 AEHES AFE + JFUth ot 2o

use_compression 2 compression _mode £4Jo] o] 7|'s-& A|slr] Hlsl| AlsHUTE

H235. U= 7)eS ARESh= databaseexportnode 5.

databaseexportnode £4J dlole] 5 54 A
use_compression Boolean TrueZ A= A=3le] Ul HolE8-L 29Ty
=g

compression_mode Row SQL Server Hlo[EHo]~9] Q= <& AT
Page
Default Oracle HloJEMlo]20] U= 28 AAFUY. gk
Direct_Load_Operations OLTP, Query_High, Query_Low, Archive_High,
A11_Operations Archive_Lows #H4 Oracle 11gR27F Z 3T}
Basic
OLTP
Query_High
Query_Low
Archive High
Archive_Low

EA Z|5of thsll CREATE INDEX WHEHLS WA= WPHS HolF= o)

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["use_custom create_index_command",
True])db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["custom create index_command",
"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

OE Re olg L < stk

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id", "region"],
"use_custom_create_index_command":True, "custom_create_index_command":"CREATE INDEX <index-name> ON
<table-name> <(index-columns)>"])

datacollectionexportnode £

- Data Collection WHW”] ==+ Data Collection A& A} AZELo]o)|A ALES= F2]0F HlolHE
=23}, o] =5 ARESlH™ Data Collection H|o]E] glo|B#g]7} Ax|=|ojof st}

A
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stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport”, "Data Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata file", "c:\\museums.mdd")
datacollectionexportnode.setPropertyValue("merge _metadata", "Overwrite")
datacollectionexportnode.setPropertyValue("casedata file", "c:\\museumdata.sav")
datacollectionexportnode.setPropertyValue("generate import", True)
datacollectionexportnode.setPropertyValue("enable system variables", True)

3 236. datacollectionexportnode S5

datacollectionexportnode £4J dole] 73 E4 Ay

metadata_file string R veioly fde] olgquct.

merge_metadata Overwrite

MergeCurrent

enable_system_variables flag WEWZ .mdd 3}Qe] Data Collection
A2l WS F3ljof sheA] oFE A
Aok

casedata_file string Aol dlolel7F YRR sav Pe] o]
44tk

generate_import flag

excelexportnode S

Excel YE7] = E&= H|oJE}E Microsoft Excel .xlsx Y 32lom ZeEshct (AeXBhtr} A3y

=
X 2 ) Exceld ABOR ARSI R e AR HUF 5 )

<A

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full_filename", "C:/output/myexport.x1sx")
excelexportnode.setPropertyValue("excel file type", "Excel2007")
excelexportnode.setPropertyValue("inc_field_names", True)
excelexportnode.setPropertyValue("inc_labels as cell notes", False)
excelexportnode.setPropertyValue("launch_application", True)
excelexportnode.setPropertyValue("generate import", True)

3£ 237. excelexportnode 5%

excelexportnode =41 dlofe] 3 =4 Ay
full_filename string
excel_file_type Excel2007
export_mode Create
Append
inc_field_names flag ZE o]go] YFNES] A WA o
A=A oRE AT
start_cell string Wrr] AR A 2Rt
worksheet_name string 2E IANES] o]FUUTH

A 17 & WEW] == B4
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I 237. excelexportnode 579 (A1%5)

excelexportnode 54 dlofe] 3
Taunch_application flag Excelo] 2y} uldolld TETh=A] o5
E AUt Excels AlRteE| €18 7
27} dn oZZFAold st KT
i, 8o o ZEAlld)olA A= ook
=S

generate_import flag EW dlofg 1S ¢S Excel 7L
7] =27} AAE|ojof sheA] AARE A
AU

Y

d A

4

outputfilenode S5

Z9 519 YR s HolHE TRE HiE wlE U Te B4 EE suyeAE s
EgloP/} 91 4 gk wlofe] uulel FgEc.

o)A

stream = modeler.script.stream()

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full_filename", "c:/output/flatfile output.txt")
outputfile.setPropertyValue("write_mode", "Append")
outputfile.setPropertyValue("inc_field names", False)
outputfile.setPropertyValue("use_newline_after_records", False)
outputfile.setPropertyValue("delimit mode", "Tab")
outputfile.setPropertyValue("other_delimiter", ",")
outputfile.setPropertyValue("quote mode", "Double")
outputfile.setPropertyValue("other _quote", "*")
outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate import", True)

X 238. outputfilenode 57

outputfilenode =4 dlofe] § =4 A
full_filename string =9 7Y olE
write_mode Overwrite
Append
inc_field _names flag
use_newline_after_records flag
delimit_mode Comma
Tab
Space
Other
other_delimiter char
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3 238. outputfilenode 575 (A1)

outputfilenode 5] dloje] §3 =4 Ao
quote_mode None
Single
DoubTe
Other
other_quote flag
generate_import flag
encoding StreamDefault
SystemDefault
"UTF-8"

sasexportnode 4

=

ew
=

SAS WH17] SAS T= SAS Z3F 7% AT E Y] HFIRZ ¢lojEo]r] $dl HlelElE SAS
F2log ZZFhc) SAS for Windows/OS2, SAS for UNIX == SAS ¥ 7/82] A 7kx] SAS &

Bajo] AMg Fs3hch

A
stream = modeler.script.stream()
sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full_filename", "c:/output/SAS output.sas7bdat")
sasexportnode.setPropertyValue("format", "SAS8")
sasexportnode.setPropertyValue("export names", "NamesAndLabels")
sasexportnode.setPropertyValue("generate_import", True)
3 239. sasexportnode 5%
sasexportnode £4J t|o]e] 43 Ex A9
format Windows HEF B4 Folg d=
UNIX
SAS7
SAS8
full_filename string

export_names

NamesAndLabels
NamesAsLabels

WEWZ] Al IBM SPSS Modelere] 2=
O]5-S IBM SPSS Statistics T= SAS
W olgel WSk o ARk

generate_import

flag

i

A 17 F Ry ==

J



statisticsexportnode 5

SAF UEU7] === IBM SPSS Statistics .sav =5 .zsav F210F HO[HE EHFULE sav =
zsav 31U IBM SPSS Statistics Base % 7]E} AEoA] 9} % QlgUlth. o2& =3 IBM SPSS
I Modeler2] 7)A] Tdol| AREsR= 219Ut}

o] =] EAO 315 Ho]#]9] [statisticsexportnode E41JplA AU},

tmiexport L= 54

IBM Cognos TM1 WlBU]7] === Cognos TM1 He[EH|o]27} 918 4= = o2 HoJHE Ui
Wk

W EAe AHsk] S1F o

exportNode.setPropertyValue("spss_field_to_tml_element_mapping",
[[["Dimension_1 1", "Dimension_1 1", False], ["Dimension_2 1", "Dimension 2 1", False],
["Dimension_3 1", "Dimension 3 1", False], ["Periods", "Periods",
False]]l,[["Measure 1", "Measure_ 1", False], ["Measure 2", "Measure 2", False],
["Measure 3", "Measure 3", False]]l])

F 240. tmlexport == E4.

£

tmlexport k= EAJ tole] 43 PEL
pm_host string A3 W 160 2 17.0002 3%

S2E o]lZ]Yrtt of: TM1_export.setPropertyValue
("pm_host", 'http://9.191.86.82:9510/pmhub/pm')
tml_connection [field","field", ... ,"field"] | Z¥al: W7 16.0 L 17.091%F s

TM1 Aol tigh 2 AlFARe] 23k B8 B4
g2]e [ "TM1_Server Name", "tml_username",
"tml_password"]JUct.

o: TM1_export.setPropertyValue("tml_connection",

['PTanning Sample', "admin" "apple"])
admin_host string Zar WA 17.1 olFelwt g

REST API®] S2E o] tjgk URLYYTE
server_name string A WA 17.1 o)Fout g

admin_hostollA A=l TM1 AHe] o]&Uct.
selected_cube field HolHE YrRUW JdE Fr oEdYt. d:

TM1_export.setPropertyValue("selected_cube",
"plan_BudgetPlan")
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3 240. tmlexport == 4 (A=)

tmlexport x= 54 Hlofe] £ 4 A
spssfield_tmlelement mapping list W= ml 84V} AdE 738 27 gigh d 2l o

%

oF Tk 4

[["paraml", "value"],...,["paramN","value"]]
d: TM1_export.setPropertyValue("spssfield_
tmlelement_mapping",

[["plan_version","plan_version"],

["plan_department","plan_department"]])

xmlexportnode S

m XML HEW7] === HolHE XML #49] siile St Adgaos XML &2 55 A8l
l-:]lsrl Rzl HlolEE oA 2E-eR 98 & Sy

<A

stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full _filename", "c:/export/data.xml")

xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"], ["/catalog/book/title", "title"]])

£ 241. xmlexportnode 5%

xmlexportnode 54 doje] 53 Ex A

full_filename string () XML HEW7] sHde] 4] Z=2et oY olE
duek

use_xml_schema flag Yrd dlolele] F2E Aolsl] 98 XML 270}
(XSD ¥E= DTD %) AR 55 AT

full_schema_filename string AREE XSD B= DTD 39| HA| 2= 9 9 o]
EJUc}. use xml_schemaZ} trueZ A== 749 2
U

generate_import flag 2 dlofe] glde oAl 2E-OZ Q1= XML &
22 555 AT

records string HFE AAS FABR= XPath E3XUL

map string gt o228 XML =0l wWgshict

A 17 F EA] ==

nd
5]
[y
[
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M 18 & IBM SPSS Statistics .t §M

statisticsimportnode S

— EAS 39 =T IBM SPSS StatisticsOlA] AFEBR= sav EE zsay Y A olUg} SYUSH 34
( \ < AH83hR= IBM SPSS Modeleroll A4 7141 S} =25E HolelE ¢fFUth

=

A

stream = modeler.script.stream()

statisticsimportnode = stream.createAt("statisticsimport", "SAV Import", 200, 200)
statisticsimportnode.setPropertyValue("full _filename", "C:/data/drugln.sav")
statisticsimportnode.setPropertyValue("import names", True)
statisticsimportnode.setPropertyValue("import data", True)

3 242. statisticsimportnode E-9.

statisticsimportnode 54 dlole] f3 54 A
full_filename string ARE ¥k ehxigh 9 O]%?J‘/]E]'
password string HUHAEUCE password B5== file_encrypted &
T ol dAw]ojok
file_encrypted flag o] SR HoE=A] o F Uk
import_names NamesAndLabels W ol F dlols A Wi
LabelsAsNames
import_data DataAndLabels e lolE A= Wby
LabelsAsData
use_field_format_for_storage Boolean 714& w IBM SPSS Statistics D= 2] HRE A}
|7 ARE ARG

statisticstransformnode S

EAl%F Mgl == IBM SPSS Modeler?] BloJe] A2~ol thal] IBM SPSS Statistics T2 "HedEo] A=)

@ } < AgFc) o] wt= IBM SPSS Statistics®] AM&E ARLo] Qs
x++

A

stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform", "Transform", 200, 200)
statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticstransformnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed Drugs")
statisticstransformnode.setPropertyValue("check before saving", True)
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3£ 243, statisticstransformnode 579

3

statisticstransformnode =4 dlole] F3 d Ay

4

syntax string

check_before_saving flag FES sl Mol dEE TS A
)R] FE5R 2 ¢ 2

F uARE FARYC

default_include flag ZpAEE ARE (132 #Ho)A¢] [filternode]

8-S HZIHAIL.

include flag ZpAE ARE (132 FolA¢] [filternode]

ye-e HxshiAL.

new_name string AR ARE= (132 H|oA)¢] [filternode]

Yo xshAL.

statisticsmodelnode £

BAE 79 =585 A3 PMMLS A/4d8k= IBM SPSS Statistics Z2A|AE Adsie] tlofElE &
@ A8l A9 4= 95U ©] =3 IBM SPSS Statistics®] AR ARZo] Haghi.

A

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticsmodelnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed Drugs")

statisticsmodelnode 4 dleoe] 75 54 A4

syntax string

default_include flag AR R (132 Fo)x19] [filternode]
yle-e HxshAL.

include flag 2R3 ARE= (132 #H|o)A¢] [filternode]
e AL,

new_name string ZpAEE ARE (132 FolA¢] [filternode]
8o FxshiAlL.

statisticsoutputnode S

EA 22 w2 ARSI IBM SPSS Statistics ZEAIAE 5Z31] IBM SPSS Modeler HloJE|S
) B3} 5 Utk SIS IBM SPSS Statistics £4] ZEAAE AMGE = Qigrth o] k=& IBM
=== SPSS Statisticse] AREH ARZo] B QFhc)

A
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stream = modeler.script.stream()

statisticsoutputnode = stream.createAt("statisticsoutput", "Output", 200, 200)
statisticsoutputnode.setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A) BP(A) Cholesterol(A)")
statisticsoutputnode.setPropertyValue("use output_name", False)
statisticsoutputnode.setPropertyValue("output_mode", "File")
statisticsoutputnode.setPropertyValue("full_filename", "Cases by Age, Sex and Medical History")
statisticsoutputnode.setPropertyValue("file_type", "HTML")

F 244. statisticsoutputnode 59

statisticsoutputnode 5S4 dloje] 3 B4 A
mode Dialog "IBM SPSS Statistics T3} A=} 84
Syntax o} HBE WIS HeEhIAL,
syntax string
use_output_name flag
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW

statisticsexportnode §4

EAH YHEUY] 5= IBM SPSS Statistics .sav 2= .zsav G20 E HoEE U} sav T
zsav D& IBM SPSS Statistics Base 3 7]E} A|Zo)A] 218 4= LU} o) w3l IBM SPSS
Modelere] 7)A] s}do)| AREER= &2}

o)A

stream = modeler.script.stream()

statisticsexportnode = stream.createAt("statisticsexport", "Export", 200, 200)
statisticsexportnode.setPropertyValue("full_filename", "c:/output/SPSS Statistics_out.sav")
statisticsexportnode.setPropertyValue("field _names", "Names")
statisticsexportnode.setPropertyValue("Taunch_application", True)
statisticsexportnode.setPropertyValue("generate import", True)

245, statisticsexportnode S

statisticsexportnode £4 | dHloJe] #3 54 A4

full_filename string

file_type sav sav B zsav BAOE IS AN L. dlE S0,
zsav statisticsexportnode.setPropertyValue("file_type","sav")

encrypt_file flag o] HEHSTE HSEEA] oH{UTh

password string HIEH S T}

launch_application flag

export_names NamesAndLabels UlEuj7] Al IBM SPSS Modeler®] B= ©]5-8 IBM SPSS Statistics &=
NamesAsLabels = SAS ¥ o5l sk ] ARSI

Al 18 % IBM SPSS Statistics == 54 315



3£ 245. statisticsexportnode 59 (A,

oL

Advd

statisticsexportnode 54 | dloJg] 3] A

generate_import flag
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M 19 & skt EH

s tol| EXEF EXo| TR oA AdElUDh B Lt ENT Swy-to) A8ES InEiiAlL.

3F246. B Tt Y

A ol S TR 55 574 A9
execute_method Script
Normal
script string
AT AL
T

T U S ARgSle] s BB A4 wE AR ) STUES AT + gk

mySuperNode.setParameterValue("minvalue", 30)

e Aol BAGHS AT 4 gisun,

value mySuperNode.getParameterValue("minvalue")
7lE e 3|

findByType() S ARESI] ~Edo| S ts S 4= Quth

source_supernode = modeler.script.stream().findByType("source super", None)
process_supernode = modeler.script.stream().findByType("process _super", None)
terminal_supernode = modeler.script.stream().findByType("terminal _super", None)

tas =0 S MY

S o] 319 tlololale] Szsl] Sueo] Ji4sE 54 weo tfE B4 AT 4
Ueh lE Sol, deleeld 9 A4sia hislel wEE 2 Ao Sulery} glrkn AR The
3} o] 39| tolofslel] WSt Bl = Foby e FYe| o]F

o] ARE e A S itk

childDiagram = source_supernode.getChildDiagram()

varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

Aore Ay

i

PAERE s 2 00 W8-S Apgsleis A%, SU=SE sk 89 dololame] et
Ak TS Apgsle] MR PHOE ST 5 YUtk EF ST tholol I3 1] kE Y

] VA o] YIS wAslop T Al o), Zaals Sureg Astele 49 o
HiALS

y

Ir

N{Nv

/5=

O ){(E

[e)
=

o
"~
oz

ol
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process_supernode = modeler.script.stream().createAt("process_super", "My SuperNode", 200, 200)
childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)
childDiagram.linkFromInputConnector(filternode)

childDiagram.1linkToOutputConnector(filternode)
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HE A TC 0|8 BE

9= o
A

o] AojJA= IBM SPSS Modelerol|

23] oj2o] UiF Bx2 AU

BE LR OIS

| (3Ee 2ol $he k=t 9 &Y QBAE o] o o HxE F UsU U =
5o Bdll QBAE Hx olgS UdPth

olg oI5 53] =Y FHYEUIBM SPSS Modeler Z¢] 9= A BAjg]ol] el = |zls =8t
£ B AT 23oly) B0 AEge] Sk mHl k=g REsEY apply...7h ATl B
e} 714 olg AES AMSFITE AHE ARt [ U5 vt B4 Uee dxshe

Fan A e E5e vs] f8l olF H 79 Bl s 2de Fxske Zlo] U
3247, 29 YA olz(=dY ZHE).

== 01%‘ o

anomalydetection Anomaly

apriori Apriori

autoclassifier = BEA)

autocluster A% 7

autonumeric 2= =2}

bayesnet Hjo]x|ot YEY T
c50 C5.0

carma Carma

cart C&R EF]

chaid CHAID

coxreg Cox 3|9
decisionlist JAEA BE=
discriminant Thy

factor PCA/£2]
featureselection el

genlin Gk}t Ay 3R
glmm GLMM

kmeans K-8+

knn k-H2R ol
kohonen F3d

linear ]

logreg 22 2-E 37EA
neuralnetwork Ll
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¥247. 24 7 olE(mdy FYE) (AZ).

=2l ol F ke

quest QUEST

regression A8 319

sequence AR

slrm 2 g S =Y
statisticsmodel IBM SPSS Statistics 52
svm A HE wAl
timeseries AAE

twostep oAl

248 BE 7] o]5(Ho]ElHo]2~ HEY ZHE),

=2l o]F =2l

db2imcluster IBM ISW F
db2imlog IBM ISW ZX|2E 3]7&A]
db2imnb IBM ISW Naive Bayes
db2imreg IBM ISW 7R
db2imtree IBM ISW A2 Eg]
msassoc MS A 74

msbayes MS Naive Bayes
mscluster MS =33}

mslogistic MS ZX|2=H 3]AEA]
msneuralnetwork MS A7
msregression MS A% 37
mssequencecluster MS AlEZ2 #F
mstimeseries MS AAIE

mstree MS A4 Ex
netezzabayes Netezza Bayes Yl
netezzadectree Netezza 2AFEA EZ]
netezzadivcluster Netezza w< T3
netezzaglm Netezza gHlsl A3
netezzakmeans Netezza K-8+
netezzaknn Netezza KNN

netezzalineregression

Netezza A% 3|7

netezzanaivebayes Netezza Naive Bayes
netezzapca Netezza PCA
netezzaregtree Netezza 3|7]%4] Eg
netezzatimeseries Netezza AAIE
oraabn Oracle 2-33 Hjo]~
oraai Oracle Al
oradecisiontree Oracle 9AFEAA Ed]
oraglm Oracle GLM

320 1BM SPSS Modeler 18.0 Python 2~THE 2 253} ShjjA




3248, 2H 193] o] (H[o[eMo): B HHE) (A1),

w o BT

orakmeans Oracle k-+

oranb Oracle Naive Bayes
oranmf Oracle NMF
oraocluster Oracle O-Cluster
orasvm Oracle SVM

S5 24 0|F 1lsly

2IHES ARSI AE RS A o) S5 29 o)F% Sl8sid fhdel A=t TAY & JEe

FrefehAl L. ol Jsbr] ffsll ~aHEd o) AdE 2ol thell aRgl olFe aske 2ol FFuth

F8 = o) e $4e sk

1 olreld Theg AEEiAS.

rd
dlo
flo
4
Og{:,"
of
=
>,
o

=7 > AR 4
2. 4 Pe FURINL.

3. o mHl np7|E Mesie] AgE mdld thek FE olF AS AlsiAlL.

2TIHE 2] 2Fe BSe wd 3z} 918 wl SPSS Modeler 2 IBM SPSS Collaboration and
Deployment Services Afelol] ¥3F 4= QJ5Ut). SPSS Modeler SEI0IIEE "ol el upr]" A4S E
e, ol 5YS olfs e RS A5OSR vlpUTHAE £9, 2THEVE FEE WHESte] i
Folgt BElS Adek= 739, 18} o] w4 FYU’E 22IHEYT IBM SPSS Collaboration and Deployment
ServicesollA] AdE wh= AR = glgUTh B tigk ESARIEE Jsbr] sl 2 RiEelA A
= 2dlo] o8 v F2o] £7 Ao A 2dS XA (S E9], clear generated palette ™
BE F7h o] s 9 syt

&3 28 oI5

e Hole mE 22 onAE 3 9 ol AR =S UL 7 f389 22 enseo|
Sl Abg 7Psd U] @4e] Al B3l il 23 G8e AHshe kool UiR 54 AR 3
s FE =C 3% =4 39 B = BRI Ak b,

FE249. 8 QBAE {73 ¥ olF o= =t

£ enAE {3 re
analysisoutput 7
collectionoutput Relcli=t:y
dataauditoutput Hlolg] AE
distributionoutput B
evaluationoutput 7}
histogramoutput S|2~ET13

&
>
f
29
ot
b
B
w
)
k.



£249. 24 QBAE /53 4 o) o= k& (AlE).

9 enAE {3 k=
matrixoutput AT
meansoutput =t
multiplotoutput s =%
plotoutput =3t
qualityoutput =4
reportdocumentoutput o] QEAE {EL L Toji 90X kUL ZZAE B A o3 EHA]
He SYutt
reportoutput B 1A
statisticsprocedureoutput Statistics &9
statisticsoutput BAE
tableoutput Hlol&
timeplotoutput ARY =3
weboutput &
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£5 B. 27l 238E0IAM Python A3EEC2 010|2jj0fM

2l7Al 238{E! Ojo[2]o0|M Ji

o] Aoj|4= IBM SPSS ModelerollA] Python % #AA] T8 Alo]e] xjole] QokS A|l33hH, HAAl
2IYEES Python AIYER vlo]Tg|olidsls We] I3t ARE ATt o] HoH= EF SPSS
Modeler #7A] &7} 558 Python e H5-& 35Ut

ldt XI0|H™

AN 2~IgEe o] AES 0S8 Wy ~IHE o)EFgth PAA ATHES § xzlo|n, YR
B2 x5} QJANKe]): if...then...else...endif @ for...endfor) S/ 7} URkdo g ZQ31A] &
FUh

Python =T HHoAM= S22 S8 5UT =] £l Sohe 2 22 7508 S027] Holof

e

Zar: Python I&E BEAF 9 oS wf) Fofsjjof Fhrh. §S ARBSle] SR e HR7]olA 39
= ARgSt SRAE A FYsH BY < FUTE T8y o] FdskAl Sl o= A &
7] wWZell Python 2TIHES 75 AT

Utk @74 2ageeld Aeses WAHeln, ojle o So) AEY AagEe] gele] e v}
A 2IYES Ashs 223 vl Yok 7FgEe ezt

Python Z~IgBolA ~IHE HEAEx: modeler.script BES 53l WAZOZ AggUch o 9,
Python 2~E¥] »IHEF Ty FEE 3 2IAHES sk 2Ef] AN~T = QlFUTh

s = modeler.script.stream()

O9 o geE enAES B8 B $E 52T 5 e

e o) g

7F 2 Fell sy dl:

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"
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Pythone T/l a3 32 AHolsh= 2 BAER
(==

stream = modeler.script.stream()

typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filter", None)
stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")

2ER W A

IBM SPSS Modelerol|A] 35202 AMEShH= 95 glEd 9 34 wey

B ZEUh
ZAAHER WHSBR= d) £29]

o]7le] 7]& SPSS Modeler #AA] 23

2 JFUnh

3#250. 2JEjE B 4] tigh e 2=

8 Python 2= HHol|X 53+
HEE IBM SPSS Modeler 1794 AR&E Python

g O] Python 2~ HY 3.

A ~=5% Python 23]
Arel: 4) Y
Float(¢]: 0.003) Y
2kt FAMI(): 'Hello') Y
Zar: ASCIZ| ofd #415 *Ula]H A4 gEde fzes
BAEES B8P flEl w7t AFEAkE Eolok gtk
ke Zx(4: "Hello again") %21

A ASCIV} ofd BAS TSR 49 deEe fusce
SR A Slel wh AR olok d

70 BAE () Y
"""This is a string
that spans multiple
'I.inesllllll)
Z2: [123]) [1, 2, 3]
A 22 set x = 3) x=3
& A5\, < =[1, 2,\
set x = [1 2\ 3. 4
3 4]

B5 FA(4):

/* This is a Tong comment

""" This is a long comment
over a line. """

over a line. x/

3 F2(ofl: set x = 3 # make x 3) =3 # make x 3
undef None

true True

false False
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QIALX}

IBM SPSS ModelerolA] 352032 ALS3h= I Arkx &
Utk o]Ao] 7]& SPSS Modeler HAA] 2THEES
T JFYH

2 Helsle o] =gl 2

2o Python 2~IAHEA 553 HHS 25
IBM SPSS Modeler 17914 A&3 Python 2=

3E251. AR thgk EAA] 2THE O] Python 2~TH% #3.

dAx] =338 Python 2~=3]€]
NUM1 + NUM2 NUM1 + NUM2

LIST + ITEM LIST.append(ITEM)
LIST1 + LIST2 LIST1.extend(LIST2)
NUM1 — NUM2 NUM1 — NUM2

LIST - ITEM LIST.remove (ITEM)
NUM1 * NUM2 NUM1 * NUM2

NUM1 / NUM2 NUM1 / NUM2

/= !

/==

X %% Y X *% Y

X <Y X <Y

X <= Y X <=Y

X >Y X > Y

X >= Y X >=Y

X div Y X /1Y

X rem Y X%Y

X mod Y X%Y

and and

or or

not (EXPR) not EXPR

= Ol 2%
Z7i8 9l =4

IBM SPSS ModelerollA] 35202 AL83l= Y5 Zﬂ
SPSS Modeler #|AHA] 2~=
UFUTE

SE252. 2 B g tigh EAA] 22EHE

oAo) &

=go] 8 &

34 HH2 Python 2~TIHHeA 553
E IBM SPSS Modeler 1704 ARSE Python

lﬂl >{£

o Python 2~=HYE w53.

A ==

Python 2=3]¥]

for VAR from INT1 to INT2

endfor

for VAR in range(INT1, INT2):

f
fr

VAR = INT1
while VAR <= INT2:

VAR += 1
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3252, 2= B g Oigh eAA] =R o) Python 2=HE WY (A1)

AN =35

Python »=3¥

for VAR in LIST

endfor

for VAR in LIST:

for VAR in_fields_to NODE

endfor

for VAR in NODE.getInputDataModel():

for VAR in_fields_at NODE

endfor

for VAR in NODE.getOutputDataModel():

if...then if .
elseif...then elif
else. else:
endif

with TYPE OBJECT

endwith

var VAR1

¢

X

W Addo] HashA|

g

A
e

gAA 2T HEelA Wee

var mynode

set mynode = create typenode at 96 96

Python Z~IHElA= W7 A

FHzE7] Aol Addgutt. <l

o <. o

mynode = stream.createAt("type", "Type", 96, 96)

eAAN TR, Wl Rk

var mynode

set mynode = create typenode at 96 96
set “mynode.direction."Age" = Input

QUAE AHg3I0] BAFOR AAsIolok it o

T Re] 2T SlojAlgl, olzle Python 2Tl Weash) eck. o

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction","Age","Input")

RC, &2 ¥ B o
AN =THENA, Aoldt QEAE F3 (X,
ZksUt dlE £9, 3 ==& derivenode 73

set feature_name_node = create derivenode at 96 96
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Python®] IBM SPSS Modeler API= node HUEARE EZ3SHA] goE2 3 +Ei= derive 1< 2¢
Ut 4
h=]

feature name_node = stream.createAt("derive", "Feature", 96, 96)

#AA = Python 2~IHEA §38 o]22] Ut 2}

r[r

8 e}

zQ
rlr
P
o
°
O

=4 o2 @A B Python 238HE EFollX FUUR g S0, W 3 kEoilA vl fRE

B dAN STHES WAA NS ARRSl] e R EE Al AT 8 S0, te WREe
"Type" #loles Zhe #& ol theh A 2EdS AT 5, "Age" o] WK (Es 29 e

YHOE, "Drug’ B BHEIZD P} HEE HPTIC

set 'Type':typenode.direction."Age" = Input

set 'Type':typenode.direction."Drug" = Target

Python Z~IHBNE A k& AAs] S8l 8 E33] Mol =& QEAEES WAHo=R Zlolok
G} o)

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

Za1: o] 7390l "Target"& FAFE Ql8RHGE fFojok ghc}
Python 2~THE-S modeler.api T|7]X]2] ModelingRole EHE AME = FUTh

Python 2I3F Hxo] 1 “A|d <= AT, == ZAjo] tizf & ek =3)=7] wiizel el el ¢
Uk AN 23R dolAs o) tigh o] ZF wEel] s g uTh

IDE 5 3]E AUPUDEE IDE xC oha Aol 74 gold ¥ 5 9. g Sl dAN 22
EEERIS

# 1d65EMPBIVL87 is the ID of a Type node
set @id65EMPBIVL87.direction."Age" = Input

Uhe 23HEE Python 2T HEdlx ] L3 olE Holsyn

typenode = stream.findByID("id65EMPBIVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

SN M| ¥ 4F
A 2R set WRHE AM8Sle] 7he AU set B Fol 2 e
o T 23EE B4 A 9 T 7R Pe® 233E B4 etk

5= B, #AA 23UEIA Python 2~Tgelo@ wlolagod 327
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set <node reference>.<property> = <value>
set <node reference>.<keyed-property>.<key> = <value>

Python 2T HEol|A= &+ setPropertyValue() 2 setKeyedPropertyValue()E AR83l &

= DUt

object.setPropertyValue(property, value)
object.setKeyedPropertyValue (keyed-property, key, value)

AN TRl 54 g A= get RS AR8SIe] 2R ¢ Syt el

var n v
set n
set v

get node :filternode
~n.name

Python Z~IHEC = getPropertyValue() <= ARSI L3 A= @A <

n = stream.findByType("filter", None)

Q)
=

ksl
pul

1

2

=

v = n.getPropertyValue("name")
A=z B
AN 2THEoA create WEHo| Al =55 A= Wl ARSI

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

Python Z~IHE A= 2E-o] =& 2MES 93k bkt s 2 syt o)
stream = modeler.script.stream()

agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

AN =T -HE® oA connect HEHo| & Ale]o] HAS M= ] ARSI Al
connect "agg to “select

Python 2T Tink WIASIE s Aloje] AAS Apgsh= ©] AR o
stream.link(agg, select)

AN =T g"ollA disconnect WEHE =& Apolo] AAS AASkE ] ARSI 4
disconnect "agg from “select

Python Z=IHEONA= unlink MlAET}E & Alole] A2 Afehks o AR ol

stream.unlink(agg, select)

AL 2T HEONA position HHE k=5 AEY 2o = T 1 Alojo)] JIRA7|E o] AR

Ut} o

position "agg at 256 256
position ~agg between “myselect and “mydistinct
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2

Python 2~ &A= setXYPosition & setPositionBetweene] F WATE ARSI FYU AHE
Syt dE S0,

agg.setXYPosition (256, 256)
agg.setPositionBetween(myselect, mydistinct)

s Fo!

IBM SPSS Modelerollx] 35210 % ARR3R= U3 T 2 Python A~IAHENA 553 HHS k5
t}. oJAlo] 712 SPSS Modeler @A 22THEE IBM SPSS Modeler 17914 A28+ Python 2~2THEZ
el o Ego] 2 ¢ 5tk

253 xE YL 3 gAA ~=HY of Python 2~THE 9.

=}
dAA] =338 Python 2~=3]E]
create nodespec at x y stream.create(type, name)

stream.createAt (type, name, X, y)
stream.createBetween (type, name, preNode, postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.1link(fromNode, toNode)

delete node stream.delete(node)

disable node stream.setEnabled(node, False)

enable node stream.setEnabled(node, True)

disconnect fromNode from toNode stream.unlink(fromNode, toNode)
stream.disconnect (node)

duplicate node node.duplicate()

execute node stream.runSelected(nodes, results)
stream.runAl1 (results)

flush node node . flushCache()

position node at x y node.setXYPosition(x, y)

position node between nodel and node2 node.setPositionBetween(nodel, node2)

rename node as name node.setLabel (name)

=4

AN TR AdEE F 7 71 78 wAde] ssuth
« Th FEeME g Wbt 7 8 A AelelA olEiunh

o Al e gl $AE el SBslel B ghe T widel wlelsghck

e 2TREE AN 2agEe) Qs WE Fao] djguch
for i from 1 to 10

println i
endfor

ke 2IEE @A 2TgEe) g AR Fo) ey

B2 B, gAAl 22T%EelA] Python 2~THPE O ulo]aglopd 329



var items
set items = [a b ¢ d]

for i in items

println i

endfor

AT 5 P THE HEe] FaEE gl

« 29 YES] vals BN Ex Y IFHES ¥ B3 VAR

e T2 S0AY Wi s 53 vEEAKE

Python Z~FHEE o] 71| F89] FIZ5 ALPUTh ths 23HES Python 2THHEA R £z
o YTt

i=1

while i <= 10:

print i

i+=1

T3 2~IYE+ Python Z~IHENA] Al2: F3zo] of Utk

.Items —_ [II II Ilbll’ "C", Ildll]
for i in 1tems:
print i

AP I oS- g#@Zo|n], IBM SPSS Modeler API WlA=9}l A3k w] thiie] gAr ~38e
22 Alol~E ALE F U T ole Python 2T RN Alf2 FEE ARSI =25 Whe 3
5 B3l WEshs WS Hogunh

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel().columnIterator():
print column.getColumnName ()

2Ef A Foll, e Y e 9 QEAEYL QHAE ARR; F shuel] FUEUTE BAA 2=
AE 2R 2dE QBEAES U 3 8% R EmNE TP Hol

PythonollA2] ~EY Ao Ut Ao are A= ZE v = &8 QHAEY] 23] sk
Z‘]Q-QL __1_10]]/K-] E]E—]Q]AE]— o] _0‘: FL] /\133/] 7:]‘1/]_01] oﬂl‘ﬂ_/:f)‘]—— _% I:-1 _/dﬁ] E’_]“CE:‘]’]E]'

A 2T3HEE v 7] 2EF Ad) WES AU

+ execute all& 2EHS] nE A 715 Hud =5 A3t

* execute_scripte 2IHE Asjo] AAy} A glo] 2EY ~IHES Ayt

* execute nodex AAHE L= 23ishich

N 95 AEE AR

rlo

Python 2~=TH&
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o stream.runAll (results-list)= 2~EZ] TE A 715 Hud o2 Asidhct

» stream.runScript(results-list)E= 2~IHE Asjo] Ay} Aah Qlo] ~EZ ~IHEZS AgPshic),

e stream.runSelected(node-array, results-list)= AAFE T = HNEE 8T+ A= Adig
=3

* node.run(results-list)= AHH == Asshc}

AN 2THE A, 2EF A3 exit HHS Y A4 F=o} A ARgsle] $58 7 syt 4

exit 1

Python ~IHEN = the 2THER Y3 239 24T 4 JFUnh

modeler.script.exit(1)

TR AIAE % BEXISEIE B3 QUHE kA

AN 2THEoA open HHS ARSI 71E 2EY, FE B Y QBAES d 4 JFUTE 9

var s
set s = open stream "c:/my streams/modeling.str"

Python Z~THEolX= AVdolA] AA2E 4= lar vt A9)s F3fslk= W]l ARSE 4= U= TaskRunner

St ek el

taskrunner = modeler.script.session().getTaskRunner()

= taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

A 2RI QHAES ARSI save WHES AT LIk .

save stream s as "c:/my streams/new_modeling.str"

553t Python 2~THE T W22 TaskRunner S5 ARSRIUTE o

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

IBM SPSS Collaboration and Deployment Services Repository 718+ 232 #AA] 22T

2 store HHS 53 ALHUTE o

var s
set s = retrieve stream "/my repository folder/my stream.str"
store stream s as "/my repository folder/my_stream copy.str"

Python TRHoIAlE F53 750l At dugl eerse] QuAES

session = modeler.script.session()
repo = session.getRepository()

&

O

s = repo.retrieveStream("/my repository folder/my stream.str", None, None, True)

repo.storeStream(s, "/my repository folder/my stream copy.str", None)

A GEAEe A Ho] SulE wlEAEY AL Agal] TRl Tt

il Al o

B2 B, YAX 23HEoA Python 2~THEOFE wlo]1golAd

Elo]|A retrieve
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IBM SPSS ModelerollX] 35202 AMESh= E@ 2Ed 2R} Python ~IAHEIAM 553 HHS 25

== =
Yt} oJzle] 71 SPSS Modeler BAA 2~THEE IBM SPSS Modeler 1794 AR&E Python 2~THE
2 WHghshs o =%0] 2 & syt

254, 2EY AU S dlAN 2T o) Python 2T W,

AR =59 Python =39

create stream DEFAULT_FILENAME taskrunner.createStream(name, autoConnect, autoManage)
close stream stream.close()

clear stream stream.clear()

get stream stream g kol s

Toad stream path g atel s

open stream path taskrunner.openStreamFromFile(path, autoManage)

save stream as path taskrunner.saveStreamToFile(stream, path)

retreive stream path repository.retreiveStream(path, version, label,

autoManage)

store stream as path repository.storeStream(stream, path, label)
=5 XY
IBM SPSS ModelerollX 35802 ARSSH= ‘3—,_31"% T 29L& Python ~IHEA F5% WS 254

T} oJzlo] 7] SPSS Modeler B[AA] 22FHES IBM SPSS Modeler 17914 AR Python 2~THEZ
Hekshk= o] =xo] 2 o AUk

%255, 29 AL SIFF AAA 2THE 1] Pyhon Y W,

A 2=38E Python »=I3¥

open model path taskrunner.openModelFromFile(path, autoManage)

save model as path taskrunner.saveMode1ToFile(model, path)

retrieve model path repository.retrieveModel (path, version, label,
autoManage)

store model as path repository.storeModel (model, path, label)

2M &= 2
IBM SPSS Modelerol|X 352402 AREsH= Y5 l'i—/ﬂ =9 Z1Q}& Python 2~IHEA 553 &

He
ZXUT) of7lo] 71 SPSS Modeler #AA] 2~THEE IBM SPSS Modeler 1794 AR8E Python 2~
HEE ®ksl= o =50l 2 F dFUTh

IE256. A =9 AYE 9 EAA 2==ZHE o] Python ==Y 9.

A ~=59 Python =3¢

open output path taskrunner.openDocumentFromFile(path, autoManage)

save output as path taskrunner.saveDocumentToFile(output, path)
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