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&8 IBM SPSS Modeler 4%, #XnDIFEQIEAER R 2 5, SCBUARVERIGS SRR B ahfe. #ian, DUR A
B E R druglearn.str (£ IBM SPSS Modeler 2235 R [ /Demos/streams/ CAFIed) |, I 0] I JE M X}
HE (TE > REHE > BE) Fisfy.

stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)
stream.linkBetween(appliernode, typenode, analysisnode)
analysisnode.run([])
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taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/16/Demos/"

# First load the model builder stream from file and build a model

%1 % WARSAWARSIES 3



druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []
druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now Toad the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
model = taskrunner.openModelFromFile("rule.gm", True)

modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType("derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect(plotnode)
modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.run([])

B TERWAES NS -8, 2R ARG S )
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stream = modeler.script.session().createProcessorStream("featureselection", True)

statisticsimportnode = stream.createAt("statisticsimport", "Statistics File", 150, 97)
statisticsimportnode.setPropertyValue("full filename", "$CLEO DEMOS/customer dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response 01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature Selection", 366, 97)
featureselectionnode.setPropertyValue("top _n", 15)
featureselectionnode.setPropertyValue("max_missing_values", 80.0)
featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important label", "Check Me Out!")
featureselectionnode.setPropertyValue("criteria", "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream
applynode = stream.findByType("applyfeatureselection", None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96,
applynode.getYPosition())

stream.link(applynode, tablenode)

tablenode.run([])

AN T — A A A B I8 s, (0 2R B 5 0K Br response_01 M€ (1)) W& BT,
SRIG AN I PATRRAE e B ., BE AR B AT b (1 4457 s B DLA BT e A5 Jey, SR G 2 SR AR A
PSR RHIERE, RS TEYE selection_mode FI top_n FrAfiER) 15 MREENTFER, AXEZ
BEH, 205 168 T 1 featureselectionnode J@& 1k 1 |32 f5,
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execute 'Set Globals'
execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'

AP R EIR ST

M V16.0 FF4h, i SPSS Modeler, AT DUBERE NS 15 HE HH (R AE I Hh @ g — SUSEAC AR, T 0 7 i P
ARGl EE BG4, Al sty 2RI A P 2 B A AR f] B A ER DL PR T A2 A PRI AT Y SR
AT LU 5 0 B AR ALUAD 3 CF AT U, i, S mT R A ok T 5 A b o o 7 RO 9O A B A SO B, T
DAFEE P B0 E — A AL B FO PR 2R, AT 4 il i [ A sl DX AR IRE AR R, R i it 2 4% Sl T3
AEE (i, RS HESIR B & R, F i mA S [ RSB HER 3 55 ) IR, AR A 0L Hr R
MR B, AE AL T AT JEEREAR AN A F,  DABH kB X e S5 A 5 LRI 3 1 il ey €222 .

i TR SERATEIRUG & WA SR, I ENT0E AT Ia TR .

%1 % WARSHAWARSIES O



o fEIR NIRRT E M EE ARG, BN, X REERE MR NG e B E N, B ER - RS
K Aok, ST DL A SR AT O R IE AT 45 E BOE IREL, LR R R R

— IBATIR G E A H RCEL, I AR IR AT Bk

FTgs A0 E R, I BLAR R AR & (19 (H HE 17 57 04

TTiigs 25 E MR, IF BAEBRIRPATES ER A — DSBS 7 B

— AEBIRIZE ERCH MREL,  JF BRI U AT B

o SEMHAT TR B RRE e SR SR i 2 1 Ais AT, T RE R R B R
- WIEHEEE rue BJE false, FHHIEERIZITI AL
— 2 XN SRR LR AT I s Tl e 7517

T ERAT A F PAT A AE 0 S L X T HE v B PAT 8 IR BB R, AT AR 2% 0 LA B 5K A i TG 1Y R0 bi
BEF I 3 2655k BB AT 5 — i WoRAE TR b, BEAFS F T e X 28795 06 2 5 IR M AR AT

SR DUE L T 81 =5 2 1 He — ot v ] AT 15 151
o O T A TR 4 3 B
| BN B S N S % 4

EE > HIT
2. B pAT B R AR B i A AR
°Mﬁ*
- AR A, AR AT.
2.%hﬁ%¥%$Lmo
o NEXHEHETERAETE T RAZ S, B i@ vk Ebr,

TR R 5 — UK BRI SR AT VRS B, R AT I BB R AT I T K, AR5
PR U RIR TR,

AP R TEER

W fEER, R LUE s AT, W RERI R BN

Frifiga e 2l BKE, I HARRICHN JREAT B,

Frifigs B U, I HLA ORI AL 0L AT S

frifga e Bl U, IF HAERR I SRATIN R 4 A — B 7 B
o MBI E RO RO, IF B UCHR X AR R i B AT R

A LIRS AT R BB ER T B 00 LB E B 0 A, BRORZ TR, R SRR ST I
YW

WRBCE TR FHHITHAT T X, IBAAEGHatriint, 802 LG IRk Ak, (nrik) fnr LA
X R B A AR A A CRD, I B PR IR AT AR A RE .. K ARG UG 1 B A i %
FECPAT IR R L R DU R ERE (AN ) SATO7 R, PR AR ORTE IR A TG, X Rk
&, ETLLSCOE 2 AR X TEHE BE IR E S EREG 14, AR P AR BT A B A G 40 98 o AT 0 — 2 2 A B
A, EER, BERERENE.. I, G0E SR ITA SR T EOR L & WoRAE A U AR

iz
- is
iz

iz
iz
iz

Eh R AAE IBM SPSS Collaboration and Deployment Services /FlHiza 4734 SPSS Modeler i, AP4
af DI s e R B RS B, X &k, IBM SPSS Collaboration and Deployment Services {4
K ETE SPSS Modeler £H, #iltn, WnREAER A BEE T 5 AEIAE & DUE A BTGB 8 AN 1 i
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AR, IR AR AE SPSS Modeler H IEMi 744, {HH IBM SPSS Collaboration and Deployment Ser-
vices Deployment Manager & 5 BE 10 H i AR ] 7 45 H 78 5.

HiZETER, BN TISE:

1 BB ROC T DU SCITE I T £ BRI 1, A2, W HEEE R T]

2 EHEM, EX-AWBTERER. GRELHE, H5 R R

3. QIR A R S R AR BRI FREU R0 E B M b, BT, Rk BRUF PTG B
B ER R SRR, et (LUK SU R, SRJE G PR T BE 0 A DA ) T 45 3k SO

AT RPIERIERRREF

i R AR m] DUSE SCRAE TR SAAT O £ BRRREf. B, WPR BRI B AT 0, A8 AnT LA
SR iE FE A SO, IR H IR OCHE Y AEIBTH, OB oK B0 B o 45k AR AR v i Xl Y
A5 AR B R R S AR S SR A B X A ] DAL B R A7

BT IR IEAE, TH BRI TR 2 T A RNE KRR &M, dCE AR AR A, Aa
FEINGEHBIT > EXERXET (FR) SfBENFEHRIT > EXERXET (H) . R AR
XIEHE, IBARGE A e AN EUHS — ey B, B, YR AR,

RREEUOCH T, HHEHE T 7B

EACRE,  EnT LABERE T 811 A — i

« RBY - FR. GRS - AMEER, TR A S B AR B R E TR
« RBE - B MRS AR - MEES, TR A RS B AR B & R E

* TREMN - FR. ARSI QI —ERS, TR AR R AR B EE T R
c TREM - B GRS IR, TR SR MR AR B A R E

RENE, MG RPUT IR SCE A A I, AT DL T S — At i

« Y. NHGEHERSY - FRURSH - B A, Wl PR PRSI RS

s PR EEEFTRRY - FRAT B - ERAT A, SRR B TR, S i
FIOP AT G XHEMEFF BEE PN T 1905, ARSI R s 22, IR AnT DLl i 4 T 51 — 2850 % 8w
SR AT R, DLOUR R E AT G IR, bR, BB, . Ry, el
h:e

« B CUERETREY - FRETRBEMNE - ERAAH WIS PR SR

EFEANTFR. (CAEBEFRSY - FRATSEY - FERAA T, w8517 5 2 TR AR E N 7B

TR DA T 21— e

© TR (CHERFRSE - FRINAT, R RCE R LSRG B A, R R AT
FFBERE T R AR REF AT T oal ARSI A 2, IR LB 4 T A — AR50 R 46
RPEATIEDE, DAL RARE SRR 5 <P, <gbRRT, BT g, . Ry Ry
.

« FRIIR. Bl dlb i s RS T R TR T B AE, ST DL O HE P e A TR A

BARBIR B, WS REE 8 U ¢ e TR B PIRICE 25 5.

EERANE (CAEEFRSY - BT REMN - ERA AT, Ry B B E A, T Rlk
T A — A

%1 = MAKREHMASERS 7



© PR, UCHERFRSH - BN TR B AP B A S AN BT AL Sh DY SR AT T
CREFE N AR IR TR WAL WA A Rad 2, IR n] LE G e R A AR — AR RI R AR
PEATIEIE, DAOCR A R T G <P, gt AR, CEDE. e, chir. S s TR

© FRIIR, BEEA AP AT RARAEEE N TR

o B3R, R ARSI ] R R R HE, AT DR B AR A g A 5 S S T R AR AR
Bl 7B

tZATRPIERNEREE

AT DURE B AL AR R PAT IR PRI B At A A0 0 2 B e s Y i SR AR B B, R R R R
B B RO AT 0 M 8 P A o 5 el XA D i AROR BE , IR A ST RE & oA — MR85 s 3 B A 1R i
. PAR S — SR TR R BRI R S . 7EX 8000 T, BT DAV AU &, ks oy AR Y
RV b, i Bt T4 HE RO e 25 HE S B H A7 S B, 8 SCE AR i XA m] AR B AT A

R EA LR,

FATIFRCRTAGAE, G H R PR A T MIRINER.. 1, 208 A R i P AR YRR EEN
FHMIT > EXNERETE.

REEA R, HHE T E

Ey. e EERAEEREE, aTUNRSH T SR TR
c IPREFRSE, WHRENTESE, RREE RSB, TS A D CURAE R R AT
F) 7 SV AZH 1% 2 B BT
- EREE. EENMIZHERSHERE N2 RER.
- REHEBT, RS EGCE hRE L RO, WA IIRT R, RE A TS,
- FEEN. AR ET SN ISR AL DB AR R RO, SRR, R B B R R
I, R B — A T R g AT SCAR BT 81,
o MREFT RSB, WSS T A A AR AR, AR ER TR, W
TAH A — AR, AT DL E R
- b R TSRO0, S 7 SUr o BE T T i R R RO 0 DRI 2
FE.
- (EAFTERR. O BT A e R T Borb di AR N2 I T L
- (FARERR. BN T EME MR E T B A A3 15 2.
MR F A 2R G S I, R4 ZR A 4R J 1) B R BOAS BN ST, B, Gk ARG B (A b
[F 5 B X H AR ARIRRIR, AT DIAEIF B - 5 A5 HE 5B 4 8 3.

TEFEATERNFER
DR ARAT, ST LG IS B X HE L4 — ol 2 B,

HEFFARYE 00T DL B T S — AN IO T i A ) Bk AT HE

« B TR E TR Ak 48 By T A& 2 24 5 AP AU,

o BER TR R A A T B AT HET

o KA BRLHMEIONHEF I TBL BRI R B R E IO Y 5 B 3R H A .

—RMIFR I — AT B, BOR MR Shift FF G AT Cul FFRGHIEEFEZ AT B, Ah, thalll
o FAA T 1 B F A AR e N B O 2 Ay B, sk B R TR T
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R, ATHGEREN T B AT s, AR RE T e i 2 Ry sUm PR R B, i, AR g
HRAT BRI T B R SR, IR DU 7R AT 2R D 34 | 1 7 B

PRI R BT

I AT, AT LARSE-5 BT E SR A% P AR UL A B9 3 PN AR g Rl 2o 1y sl iaa A7 77 5 T RERY 7= B T
o WRYEAEME true LI false, ML R IZFTI AL

o S AR LI AT T s AT I R4 W 72 1T

] DAFERPAT TR 1 S 7 000 LB B e 1 4, B R PRI, Wk R ST T
VEW

PR B TR EMHRATIG T, A EBaa Ty, @08 LA P RATEOR A AR R, (TTiE ) 4
AT LUER RS SR 3 P AT R A UEIASACRY,  Falad i S e R A A KA. K S ARG T 31 0 A G
Warrp; FECPAT RS R E S DU R ERE (ATERIAR ) AT, R R AR S 7 7 08 10T A T
b, XERE, AT RS 2 A AR RHEE ORGSR, SR TR AT A A G 2 AT 0 — 25
MUA, TER, AN I, G0E SR PT A IR ER ER 2 ORTE A L AR

LA S, w5

L FE“F AP TR R A A MBI, Bk U IR A ] S
e, AT RURS S AT 1Y R BT 20T A2 ) 2
2. TE“USINZAFRATIR M MEHE R, 482 LT A
a TR, BEFREO R E AT IT AL S D R DU O AR I R I R A AR
SIME Y R 2, WA DI BoRa Ry T uE, DIg RO — ARG BRT i <l “EE
o AR ECH Y
b. (EAMIRRISME. H8E AT A B AU L B A pF. BT DU T S0P A B e £ Hoh — 4> RS HL
ERTE. RWHBTAIGEHE. FEXHEHE T 800 T A B TR B b B A9 S PF R,
© RSBBRMMIIFRDEE S, REFRSHRNEER, fl, a8/FTERTF. FTF. /b
THST 254, R5, WAESE/MERRAE, BRI TR,
- ERTE. NRMEIIRB LR, FlW, XATREAETHE, S, BAME, BOREBRE
%, R5, ®FEER L.
© REHEIT. WAHZRBPERERT N, REEFRTOITHG. K5, EFEESERF IR,
© WREEHRE. WRMAUGLIATI A, WRFIIEDL SRS, KRR SR
30 HESE 1M 2 i, HEIEOE T AW ERSM. BTk UM AT Y AT A A2 ) AR
G AR ARV T R SR AT R AR R S A,

4. BVETEOLT, Rk BoRWUF AT GRS, BAESIR T BT S AN, 38 B Y AU LU
BEH, SR 2 T A 0 i B s Sk SO,

Fi8h, AT RIS S - IR A IR R BT 1 I

o RIBFXEAEFMHHITRE. BRI 17 5 R 1S 7 R 0UR LA oR WU 2 A AR E. XA
AT IG, K SLRIPATIIRLE S5 F SR AH D “true” (15

o —RBITAT R, RAERTRIBFXETE R GRTREN AW, P EEIER, MR SR
Htrue”, IRAKESEIAT SIZ A RIKA T AL, ARG FEXE T — A SR AT R A

s HERMPZEMTRE, EHHIEDEFRR, 002175 — DGR E 1 A0 IR ] “true” SR E 1Y 9 A

PAFT ORI A& PR ARAT IR A XA HE, FEBEXT T

%1 % WARSHAWARSIES 9



WATFIRR BT
AT BUEIE R R IA, B0, (RS AU LA TR, ST O A fi L ST

3

1. s I AR e
“IBATIERE AT H A T AT SR A rp e 1) B — A7 B0 RH 404 BIr L B B

7]

[Al 2. “iafrit i % H

Ay LU FIRL T T ST AR

o FEVCMA SO AL A XTI HE R, B s AT A s Ia 1Tk E AT 1R L

o TEIBTTULREIZA B B o 5R A P47 7 1 0L T s 1T

© RIS EEAM T -execute bR, HRELHR, WS S5 T ¢ 417 H AR REA 6T 2 [
FEED WNRAE Y A XS HE P BT RIS, IS 20K FE SRAT 1Y I AT 4 AR,
T A AT

R RS o G HE P A £ 5 L R A A AT R AR P P e S T D AR o 24 i O £ R
17

B ANE 5

IAESAR A S RB A SO B (R R A S 4R CLEM kUM as ) sl SO 1y sl b i B ] i
BB RTEHE, E EIRAT AT X g 3 SO, $% Ceel+F SRR a] DIV LRSI HE, M3 fR 06 hR 9 £
SOLTFSORK R, iltn, TR R, R DU BB IR b AT A SO DX 2k A 4
9 SCAS 5 B rp i [ B R S A

TESEARLF SCARK S, 45 Cel+F AT DI ] o P/ e X .

N EA R SOAR, sl AE R U B 818 e 4%

AR (IARA WS |

PHERT— MG R,

BT R G TR E A N A, Rl R R T A 0 E ) S

TRBAEE UG, MXTRHER ], ME— ORI E F3 8, nEE E—RKERRE, 33k Cul+F, W
PR ] 120 T HE

2R I

MEEXNE. fHEELRIEEEX KNG B myvar EHS myVar ILRL. TCIEHECE, BHCAHE
SR M A A

{UBREEAERIRL, 5 E A AR I IR R SO, PR BE,  spider R RERIE AW spiderman

8, spider-man,

A A e
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EMFRXRK. HEL
2 HA.

XBRATESC AR, Pl ] S ERE v TN (118 RV .

IE MRk ik

B HIEMFRAREE GESHT —T) . WRES, (RFEABIREOG 2 B2

fEAENZA, I PHERAIR AT (AR R e T3 4F), FAFRUEEGEE (W a 2] d) | A8y sk
B (T E 8T R) o SRRk SR RANT,

# 1. FAILH

FH IUEe

X T4 x

\ RAHLFAF

\On F/AHERIER TS On (0 <= n <= 7)
\Onn F/AHHIERT4F Onn (0 <= n <= 7)
\Omnn L ANHFERMFAF Omnn (0 <= m <=3, 0 <=n <= 7)
\xhh S HEHERN A Oxhh

\uhhhh & TN ERE R 4 Oxhhhh

\t HIFEFF (\u0009°)

\n HATAF (\u000A”)

\r 8] 44F (\u000D’)

\f T (\u000C”)

\a AR (NS ) A (\u0007")

\e % A (\u001B’)

\ex X Xof . P45 il A

# 2. LR T

FHE i

[abc] a, b, 3 ¢ (fijHAE)

[Mabc] B a. b. Bl ¢ ZAMWPTEFAE CHRB)

[a-zA-Z] a ¥z AT Z B GEfD

[a-d[m-p]] a # d®F m F p (IFE) . WATHEERN [a-dm-p]
[a-z&&[def]] a F| z Fld, e 3 f(XH)

[a-z&&["bc]]

a # z, b A c BRAN () . HHEEN [ad-z]

[a-z&&[*m-p]]

a # z, WAE m F] p (FHBL) . WATEER [a-lg-z]

K 3. HUE TR

FE N FHE A
FEETFAF (ATRESAS AT B 5ATZEAFIL )
\d BT [0-9]
\D EHeE: [20-9]
\s SREFAF: [ \t\n\xOB\A\r]
\S AT (M)

1 E WARENHARGIES

1




K3 PUETFIFE (£5).

FlE X F 2 T

\w PR AT [a-zA-Z_0-9]
\W FEHIAFR: [Nw]
4. RIEHL

LR ERF L

A TE

$ 1k

\b LISCBUR

\B EIREAGRUR

\A LIPNGLPISS

\Z Primfa b7 (INRAE) , WMARE R
\z A RS R
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£ 2 F HAKNES
HARSIES i

i TBM SPSS Modeler RIS TH., ] DIGIE — LA, X SEIAT DIfE SPSS Modeler f 7 AU 1
a7, AEHE R IF a1k, AT RIAE SPSS Modeler H B #%Ia{TiX SEHIAR,

IBM SPSS Modeler H [ JHIADLEAIE S Python 455, IBM SPSS Modeler fiffi FIff3ET Java f¥) Python 3£
WA Jython, MAIATE F €15 T 51 BE AR 1

« ATHURT A, M. TR fdifHEAL IBM SPSS Modeler X4 (145 =X,

o AT AR PRI SR G A — 28 BAVAS G T ) A

s MTWEAZR. SEHEAXZ A EN AR EXES.

o R, BEHEFFAISCFE OB LR,

DA 4%t T Python BIZATEF. Python [ Jython SLHLLIJAE IBM SPSS Modeler PN iE7T I 4l (9 AT
FAGE:, BB 6 4 1A A5 BIUAERE G 175 rh 42 4,

Python #0 Jython

Jython J& Python MIAEFHISLI, ELL Java I FMEIHS Java FEIITHEM. Python S — Rl i X} 5 Y
IRESE R HIEATES . Jython HA MEAHAIE = (94 7= JIRHE, 1 H-5 Python A[EIFYJE, Jython wfLIFEATAT]
SR Java EAUML OVM) BIEREEHRIAAT, X ERE EAEM SR I T LU A JVM B/ Java i, Gl Jython,
fn] DUF 22 8 1) Python 8 5 M TETAFI K B4 D) g

Ve —FIAE S, Python (L Jython SEBL) By ¥ A FF et mait it (T g, W HE & EIRa TS
BN, AT LER T SR AR, Bl A —1T. Python JE—FfEREEIIAIE S, EBLA Java f
AP e K. Python 2 FP{XLQSURSIASCMF, RGO AR A X LE SR ATl (FEMEAT IR RS RG ) .
fij B AR (e & SCRE ) DARE IS 2 i (BN R EUE ) R SLRIBAT IF rT AL AT, AT RLpR s st
LA RACHS AT R Sk, (EUR, VAR B S A7 AE — BB sl B, by T R S SRS A 2 1 i B R,
P R ESAT A TR AR R RO, A 2fE s ie. LMol T, TRIgeiE e e LA
R,

Python KA N (HIENTABIEFCAS) MoAXTS, Fik, &n] DI 247 kb Bl e x4 Fob it £
R (GIANECE RN R ) BBl Sy A A (E T A& XSS Python SCRFIUAT N, B — A2 X FFMT Null {H,
It Null {5 HAGHEZFR None,

H X% Python FI Jython JAIZZ I B IR AN AL K —HoRGIHA, #5205 |http://www.ibm.com/developerworks/|
[iava/tutorials/j-jython1/j-jython1.html| F |http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html| .

Python M7k %5l

A Python AT F 4541 T 4£ IBM SPSS Modeler H 2 il IIASI fi w] RE# AV AL0F, Horp (st A g
Hefilh. BOK N R SR BE R PR IT A E C B9 Python A, LIf#fE IBM SPSS Modeler H1ffi .

13


 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html

pey]
W S5 (=) SR, BN, BORHE 3 MESS & xR, En] DU A DL T A
=3

>

>

IR TR AT B R R BRI E 2R A . P, DR Ea string value W {EHZS AL Ry, GAT LU DL T

ﬂ

y = "a string value"

TRV T — L% HI H B2 MU 12 58 K A A
# 5. W LS RS

ey} iR

X<y X SEHNT y?

X >y X EH/KT y?

X <=y X BENTHET y?
X >=y X EBRERTHET y?
X ==y x 2 HHT y?

x 1=y X EEARET y?
x=y X EERET y2

X +y ¥y 5 x A

X -y ox ik y

X %y Hox Ll y

x/y ox BRLLy

X oy RKox )y KHE
LIS

SIFRITCR T, IR UESEERE IR, MAIR TR DU MBI R XE 5. T DU S0 1
A, BEEGM, BRESUEHICR, SR IURA R ] RE S S,

ANl

(1 TRz 513,

[1] ME AR CEED) ML,

["Mike", 10, "Don", 20] i 4 AR (WD FHBEITRHMPNEEOTER) M1,
[[1,071,[8,91] FIRIIFIR, BAFIIRME DI RIEHOT R,
X = 7; =Lz=3; O, Sl T AR A RS =R .

[1, x, +y]

TRl Az oy oslk,  pin:

mylistl = ["one", "two", "three"]

WRIa, TRV SRR R, Fln:
mylist[0]

RORs A LR i
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one
TS (D PR FFRARS, ERREIIFRTHENREILR. N 0 JHEX IR PR R M= 5.

T DLESES IR P — RIITTER; EFONIHEL BN, x[1:3] BksE x 0% 2 DMK 3 PR, 4RER
51 e N 2 T Y — 3R 5 L

FRTER
FAFERRE— DA E AR AR T, AT B SRR A A BUH 45 5B R R AR 7 51 R EORIs 3EAF i,
"abcdef"[1:4] ¥ ik "bed",

FE Python W, FAFHKEA 1 BIFAFH LR,
A H i EDE L B R S s = E S R E . (RSSO ES AT, A = H 515 E X

WA R T LB AT, ATRLE AT SRR AE RS () S5 () . 5T T DU & AR5 SO 5 |45
A SC CHIL, R A SORAL () F4F) K951,

il

"This is a string"

'This is also a string'

"It's a string"

'This book is called "Python Scripting and Automation Guide".'
"This is an escape quote (\") in a quoted string"

Python it &w¥s B &5 I 2 A USRI A . X FEERT DU R i AR FRF e, IR A S B4
TR TSI, i

"This string uses ' and " 'that string uses ".'

KA LD

This string uses ' and that string uses ".

TR SR — B AR T, PRI T -2k,

6. TP Ik

Tk A%

s.capitalize() Xs PUTEFERE

s.count(ss {,start {,end}}) V5 ss 7E s[start:end] HpgH IR EL
s.startswith(str {, start {, end}}) M AER s B&LL str JFk

s.endswith(str {, start {, end}}) WiRDIEE s BEHDL str 48

s.expandtabs ({size}) W HIRF R ZHE, 4 size B 8

s.find(str {, start {, end}}) e s HEK str B - DKL MRRAR, IBALEN
s.rfind(str {, start {, end}}) -1, rfind A F 2 EF T4 22

s.index(str {, start {, end}}) e s K str DKL WREAR, BakslE
s.rindex(str {, start {, end}}) ValueError, rindex M753|ZE il 2,

s.isalnum WA DL B 45 52 6 R 4

s.isalpha M DU AT IR 1 7 74 R

s.isnum WA DL B 45 5 2 & A 8

s.isupper MU EFFAF BB I RE

s.isTower WA BB TR E G ARG

%2 % WAES 19



K6, FRHBTE ()

FHik Ak

s.isspace M LA A4 R B 2R E

s.istitle ML B 45 5 RS A E F RSN F R FF/ 75

s.lower() e RN

s.upper() L SN YN

Hie0 ) SRS
g Ry AR BUE

s.join(seq) ¥ seq MIFEMFRIERER, M s 1ERTEAF

s.splitlines({keep}) ¥ s EINZAT, W keep H true, AP AT

s.split({sep {, max}}) I sep (54 sep KZHE) ¥ s HEEAT, mELH#E
max {KAX

s.1just(width) TESEE Ry width BYFEch, Kr A 8 x5

&Mfﬂyﬁg) TETERE N width BYFEECR, K7 A 0l 5

S 2 Hi11 (width) TEFEE Ny width HOSEEER, 4550 E s 5
M0 T,

s.1strip() Wk 2 Hi S A%

s.rstrip() bk s R H2SA%

s-strip() B 22 R B

s.translate(str {,delc}) B2 delc R FEMAE, HAFER s, str WiZEK
JEHy == 256 MFHH.

s.replace(old, new {, max}) T new 2 RPEHEHEIE max HILUCEOR 71 R
old

&t
FHRBIS (SHIITS) ¢ SIAMTER. [/ 47 AT -5 5 T 0 BT SO R & 1 i A ko,
I KA, s DOTE TR S, DU R G uiil T & a6 H:

#The HelloWorld application is one of the most simple
print 'Hello World' # print the Hello World Tine

IBAIEE

Python YA kAR H Mo, %, BAPUCHITHOE A —iE4), Bi expression 1 assignment if®)4h, 4
MERIERE — KT AR (B if 5 for) SIAL ATRIAEACRS A AR A 3 R 2 18] AL R (00 B4 A\ 28 AT 3
FEAT. MR —TTh A2 MG, IARAERSS () RIFEEIER,

HAIEATR A 247, XA, E0 2T — TR m AL OB (\) 43R,

x = "A 100000000000000000000ng string" + \
"another 10000000000000000000ng string"

WERFEA GRS (), F#5 (D 80eiis () W, IR LHEEREE S5 2 8T, A
WA SURAL, - m:

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)
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#RiR

PRIHT XA, B RS T A T A, PRIRERK TR, (BRI E 8U/NG #7874 R 4
(O IR BURRIZITR B9 AR08 O B A E N R AR sl A AR, 256 — 548, Aniial LI &{E
BRHNTETRE, 0 2 9 MR P RIZTAF, JF HaX 855 My ol LUEE 4L 6.

Jython Hfi—SLfR B~y ] T XA fe, eRARECRUE AT 4. XL B TSI

- EAI5|5iA: assert, break, class. continue, def, del, elif, else. except. exec, finally, for
. from, global, if, import, pass. print, raise, return, try Il while

o S¥5|2E: as. import Fl in
o IZEf: and. in, is, lambda, not FI or

T AR YW H 24 SyntaxError,
KA

A IR AE R BANE A B0 B B A 2, ARG n] DUBREE T 5145 4] if, elif, else, for, while
. try, except, def Fll class, XEEAPESIANHAE SFEMF (o) MARSH, Flun:

if x == 1:
y =2
z =3
elif:
y =4
z =5

RIS AT E R, MARAR Java —FEE LSS, ARSI ITA 1T AR i vt 2 [F] — . X2
PRI S X 4 0 9 B SCHR /s ARG ARG ORGSR, B — AUt A2, Rl s A R R At AT, A5
A2 A MG RAT, B RSN e 94T 2SR — B 0F R, AWK &4 SyntaxError,

H A B (DL S EEER ) W LaEE—179, FERIa5 5k, filhn:
ifx==1y=2; z=3;

BSELHRL R
B RL A IARAER A A, WX R IEE 6 ABATN LT HITBS, Ea &S50 1E A3
F sys.argv HIEIEITEE, a4 len(sys.argv) A RIGRIIHZ B AR EH . #lan:

import sys

print "testl"

print sys.argv[0]
print sys.argv[1]
print Ten(sys.argv)

FERR B, import iy & T FARA sys 2, DMEATDLRE X A2 P AP £ 7 ik, BN argy,
AT LU LR A7 98 FH s 45 o A

/u/mjloos/testl mike don

S5 AU
/u/mjloos/testl mike don
testl

mike

don

3

% 2w WaEs 17



R
print XHFHATEN RIUG SR AR AEIGES, WA LIRS HHN—17. pil:

print "This demonstrates the use of a",
print " comma at the end of a print statement."

LNV i

This demonstrates the use of a comma at the end of a print statement.

for i A0 T IEATRS B, fltn:

mylistl = ["one", "two", "three"]
for 1v in mylistl:

print 1v

continue

FEMR IR, KOs mylistl 0B 3 PR, SRA, BHTENZSIRIILR, B0 IosRA H—17, L8k
JRCLATT i
one

two
three

TERRGIF, SRR Tv RHRUCR IR mylistl PR IeRIE, B for FRERHT SEBE LR UG H.
A AT DU AL R R AT s .

i AR ARE A, LR AR X ST RAE, FPARIER (LG RIR ] true 5 false, fIHN:

mylistl = ["one", "two", "three"]
for 1v in mylistl:
if v == "two"
print "The value of 1v is ", lv
else
print "The value of 1v is not two, but ", Tv
continue

TR R BT, XERAE v ST ToRE. 2R Tv 19N two, IEAKGRE —AFREER, ZFRRARRT v 1
A two 3R [] 9745 5. RCHF AR AT i i

The value of Tv is not two, but one
The value of Tv is two
The value of Tv is not two, but three

BETE
SERTLUA math BEBUTTEIA FIROECE Ok, T RO T 3o —S60rik, Ak S5 4TI, 70 DT AT ELHER 8 A
OB,

Tk A&

math.ceil(x) B ox B ERRAE R ok [|, BT ESET x M/ R

math.copysign(x, y) BRIEHA y MM 5H x. copysign(l, -0.0) ¥R[E -1

math. fabs (x) RE x [LEXHE

math.factorial(x) BEox prafe. WAR o x RO, Al KkE
ValueError,

math.floor(x) B x B RRRAE P ok [, BVNT ST x BRI
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FT7 BFTTE (S

FHi% R

math. frexp(x) Hox BREC m FidE%L (o) fE0 (m, e) XHR[E, m &
AL e B, XFERIIFWE x == m x 2xxe, MR x A
0, MBI R IRIE (0.0, 0), EHMLKIR[E 0.5 <= abs(m)
<1,

math.fsum(iterable) RIE] iterable (B RS VF AL EHI

math.isinf(x) T giE s x RIEARE IR AARER

math.isnan(x) KA VR SE x JET oA NaN (FE%)

math.ldexp(x, 1) RME x x (2%%1), MOTIEAET FREEE frexp AR EREL.

math.modf (x) R x /NECREEER Sy XA & B A x A,
I H AR AR

math.trunc(x) ‘A2 WA Integral [ Real H x.

math.exp(x) IR [A] exxx

math.

Tog(x[, base])

REPIZGE(E base SAIEMY x WXL, WHKAEE base,
W24 E x4 E SRR

math.loglp(x) B[ 1+x (base e) AYHERX £

math.1og10(x) RMEPL 10 AR x BYXTER

math.pow(x, y) B[ x By YR, pow(1.0, x) F pow(x, 0.0) FFIHZIR
|1, BPff x A 0 SR ansk,

math.sqrt(x) BE x fFITAR

BRECA R BN, AT A R = AR EE, TRIIM TIXETA,

£ 8 =R

TiE A&

math.acos (x) R EPIERRE x I RARTE
math.asin(x) BRI DI EERIR ) x R IE5%
math.atan(x) REUCERR x WRIEY]
math.atan2(y, x) REPIER AT atan(y / x).

math.cos (x) R EPIMERRT x IARTE.
math.hypot (x, y) B[ RRJLHEARIEEL sqrt(xex + yxy)., XRMEAF A (x,

y) BRI E.

math.sin(x) RE DI RRT x IEZ
math.tan(x) IR [\ UK R RA x B9 IEY)
math.degrees (x) B x IR R ol
math.radians (x) B x ERAS KT
math.acosh(x) A x RO A A
math.asinh(x) IR x Y BORUH E LA
math.atanh(x) RIE x [ RO IE I
math.cosh(x) RME x BRI AR ELAE
math.sinh(x) R\ x AR A% E
math.tanh(x) IR E x BB EYHE
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EAWA s R, math.pi BYECVECAH R pi. math.e M VECAH R e

fEH3E ASCIl FfF

B FHHE ASCIL 4F, Python 75 BB ifi M 45 Bf 4 i I AL A Unicode, £ IBM SPSS Modeler H, &
Python MIZ3% f UTE-8 474w, XJ& %44 ASCIH FAFMARNE Unicode 4fi, DITFMAKMITHIE, X
ZEN SPSS Modeler £ % Python Zmi¥esix &N UTF-8,

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T A F./— F", 95, 64)

(B2, ATy mof B AR IE B AR 25

o)
Ioll

AF$EVAETEE SPWERR
[ 3. HR R 5 IE ASCIL FERF 1 1 abn &
FRZRIER, B4 Python CUKEEFFHRFH(HE By ASCI FAFH,

Python il i ££ 7 4F H I E AT N u FAFRTZER SCRFAEE Unicode 34 H3 [ {H:

stream = modeler.script.stream()
filenode = stream.createAt("variablefile"”, u"T A F./— F", 95, B4)

XAFAIHE Unicode FAFH, IF HKF IEWH RR%E.

A Pt

[ 4. IEBBRATE S A ASCIL FAF R 15 mibrds

i/l Python HlI Unicode J&— M EHW AHI LM, Bl TA UYL, R4 7 VF 2% 0 3BT TR0
ZAH A5 RE FIAFE L BT

A R P

TE 16 % G B R P B0V AR e v A A Il LA Y A A&, T 1o X R O AR e e Dol T R A R IR 0t 1A
T2 M. Python & —Rhi X S H9IEF . DL Python & SCHYXT G HA R AIFIL:

© 5. BAONRHELAEIRAIRE, I HAA] DI AR AESEAT I, s A1 s not AT T UL E .

o R BOMRELAAEGAROIRE, BIE (Bl Boise A ) ol T e H .

* ATA. BN RHECLAREG AL TIHARES, Tkl 1T L H 69,
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Python 4 it 1 S 4R 1) X G A R PP 7 B9 SRR
© ETFEAIMREE. KEATRIEXN LA, X 2ERAKBAT H I EIRLEH.
© SR, Python CHFFRAUKMZ EAK, FIA Python SLBIJAMEA LM, I Bl Ik 78 5.

- BAREHIERNEE. Python IFRBIRYE, KUBUG, B R ABE M7k MRS LeJm b, Jesiil
T TS EE K 7 ik,

fE Python 27, ATLUE CERFIE. 5 Java R, SATLIE Python hAFABRSCHF (SRALH) 5 SRR
BRI, B, AIDLA Python HREOBHEILT Tava shio4k .

1€ Python ", ZKJEffi ] class EMA)E LMY, class iBAIAHET:

class name (superclasses): statement

af;

class name (superclasses):
assignment

function

SE SR, fnT DL $R 2 A A DB Y (). X SRR T R0 K B 12 2R BT S B3 S O R s
FOETT DRI FA SR A DL e H0E L. XS R BOE SO T ik, 2RSSR AT R Y.

FER —AF kb CRIBEHR, R ) , RARIZME—, BAT DL 248 SO SR — 2K,

£ 2 T
FERTRAEE () JErt, S0 AT eIddescsl, eI EALMLH, iR i%2ErE R BT M. 4
m, WwHELT%:

class MyClass:
pass

XH T pass WA, FONTHE-MEARIEME, (AT EUGET XIITIL M #4E,

PUFiEARAIEZE MyClass 1Y SE4:
x = MyClass()

BESSSUIAYI Sk
55 Java R, %P OLATLALE Python PSSOl ML, A — P SeB R RAETM, Bl BRSO x i
(I E PR RINEYS = i

x.attrl 1
x.attr2 = 2

x.attrN

MR

Eﬁ%mfi*%ﬁaﬁmﬁﬁﬁ AL ATAESE i SR R RS i, i RIS R self) fE
NEHE—AHAR. BN, BE RN, T Ll A LU (U

n
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class MyClass
attrl = 10 #class attributes
attr2 = "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3  #make an alias for method3

TR, TR A ME A X R E 51, il MyClass.attrl, WiZ6EH self ASEFRE B A x5k
BRI B0 self.text, 7EFSMER, QUM IZME M4 (BN MyClass.attrl) sifft fHISCH (I
x.attrl, JEb x JEIEOSIH) BEFA ARSI, AESONER, NI ARG S OIRR 5 A 5 17 T
BI5IH; #ln x.text,

e =

AT DLE A L AR ok R A s, & AR HREH 2R E Bt AT vsil, IR AAE N _ xxx B xxx_yyy
(BN, HAMNADHETE TRZ) AT, B4 Python fENTHRK B him fHBA 19 2 FRES N2 4 DL e Fei A8 =, 1]
an:

class MyClass:
__attr =10 #private class attribute

def methodl(self):
pass

def method2(self, pl, p2):
pass

def _ privateMethod(self, text):
self._ text = text #private attribute

Y5 Java AN[A], fE Python FRAAZfl self BRZEFTAXSLHIALRITIM;, REGHWMER this,

Y S
NS HEAT AR 1 T Bl 2 T [0 % 52 AR P 1 v BE il Python [R)BN SZ R AARARFI 2 B ARK,  H4FRSR R HREFFAE
— K. ZERRIORTUFAEZS K,

At i X A 5 7 IR L. 7L Python AN LIURHEZE, 7E Python [ Jython SZELH, J
Java RPHATHIEERIIRAK, TR AL,

AP RYAT A S P BT ik B W ST 726, JF B R BUR P s RO, 288 S ST A% - Uit n DL6E
RS . W DA A AL B T R S2 4, 5 T DU TR A 52, X Z MR, X shy
(IS EE =R RIIEELVE I

il

class Classl: pass #no inheritance

AEM —

-

7

class Class2: pass
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class Class3(Classl): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance

%2 % WAES 23
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%2 3 E £ IBM SPSS Modeler Ri#{THIZA Rl

i

16 IBM SPSS Modeler H1, 5 3 B [ B4

o B, T EERERA TR T T B AT .
o TR, T S AT R

o W EL SR, o TR 2 AR I PR

R4 THE IBM SPSS Modeler H I Y ZF0 0715, BT DU X L8771k Vi (W) 45l SPSS Modeler 1)
e JIAh, XEETTIOTHES 33 GUMAS 4 %5, ¢ JARW] APLY | b T IR S G R A

. BT RN

FERZEAGOLT, RIEHFRF —NE, M5 RN ek, @, ERRERE
—RIT RIS, FHA LT, B, ARG, AR O B SRy, X ERE A
Ve 1% T it FC BT R AL 1K

32

i

i e EE ) IBM SPSS Modeler SUHZER, W LIfRAT, AR, GEMPITI. RILTURASH 2RE. W
AL R A 5 2 SRBRHY A5 B

BT R

TR R — PR T R R e, S A, B SRR R AL R S R R ]

fEAE— B2

o SEORIA IAS SR SO TR R ST OGH, TSR S R R B B ORHK,

o R SO LA B O AR B T SRR TR R ) L X R U TR B
AT S, I BRI SR B sh B,

R VB (AT St MR Y AR SRR I RE, BTN IAIBR K99 L, DL BB o mi 2 1A] (Y 42,

HATH
DA R A5 T RO BEAT AT 19 8, 9 ELE AR B I A

modeler.script.stream().runAl1(None)

AR 7 Bl K 2 A7 0 69 BT T AT 9 A

stream = modeler.script.stream()
stream.runAll(None)

FEMR G, FAFRAEA A stream BRI, FAr e e P ARR A M, B9 IAE & M T B B0 g+
AT A, B 77 A 1A K A Bl — 1 SR 3 1 JAS,

25



R 7R 4w il £ TS 3L

modeler.script MLHER AL TAEH P PATIIAR L F3C, MR PORTEEITIN B35 A SPSS Modeler A, i

BHE T RUT 4 ASeR%L, 3328 pR B A m] DLy [a] FL AT 2058 19 i 4

+ session() BR%L, MTREAAR 2, HaTEE GESE A5EE B LUK T2 7R TR e SPSS Mod-
eler i (A gEFEELIK™ SPSS Modeler Server) .

+ stream() BREL, WMCRRECRT DL I IAS SR s RASEC S 60 . 0 R EICKE 3R [T IR As AT 1Y I AR B8R T A
AR 3L

 diagram() K%L, MCERECAT DL SUEASEC S . R ACKR R BRI BB T AR AR,
BREOR B NS stream() BREAHIR].

* supernode() BREL, JLRRECRT LS Y SUASEC S0 . ek RO R [ A IE AR I AT B A 1) 5 L

T RMEIR TR DU R B S

# 9. modeler.script R
Pz 252 session() stream() diagram() supernode ()
GLA IR M 25 1% TEP Z AN R 2 | 5 stream() AHIF Rid
RS2 (fitm, e
MALHE T, -stream &
TN A% 4 ) o

None,
it R[] 253 1R 5] it 5 stream() A g
ERE 1R [F] 25 i PESEIR PEQEIR SR pEenk IR (5] T

modeler.script MEHUAE LT —Fpfl IR HADZ LA 7. exit(exit-code) &K 5 1L AT AR H3R [2]
Pir $ A (9 B RIGE A,

E SCRY A — Rt runATT (List), BET7ERRRa AT ITA AT RAT 35 5, AT 50 A5 AR B A T A i o
HRHF S 2 B AL A1 3R .

TR T80 A TR AT R S5 o DL S ot A . BRI, AR ] DR — B AL B R AR &,
an:

stream = modeler.script.stream()
results = []
stream.runAll(results)

PATTERUGE, FTRAM results FIFETIIAAT BT AL BUAE AT R 42,

5IRBBT R

JLE R -SRIV RER), FEPITH Z AU B XS, BUX SR KT L5
L FEASCHL R B A

2. HHCH ORI/ B,
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BEETR

Td T 2 RIA T R T TR T X TE,

% 10. EAPA 1 R 1977 ik

Tk

IS

i

s.findA11(type, label)

£S5

3R [ BLA P8 5 ST R 25 1 Jfr A 15 a5 11
G, RAISARZETTPIN None, FERXFh
LT R T HAL S48,

s.findA11(filter, recursive)

1R [ 35 7 i Bk AR BT 1 2 1 BT AT T R 4R
A, MASEIARE True, AF2IEHIE
FRARE LN AT AT 1

s.findByID(id)

iR [ ELA By B AR R 55 R None (01
RATAEIRTT R . ERVEE RS R
LT

s.findByType(type, label)

S = W S/ e B A o S (R
s RS AR LIA None, FEIXFiE
LT R A S E. R 2T 8
VERC, M8 e8I REERE AT
L IARE A TR Y AR, IR AR [ {E
A None,

s.findDownstream(fromNodes)

MBI B BLE Y RIBIRP IEAT R, JFR
[B] BTS2 A AT R . R
B AL B WO HR LAY 7 A

s.findUpstream(fromNodes)

MBI BEE Y RBIRPIEAT R, JRR
BT A B R . R
B A AR L A

i, R b RAS T B R A B I A IR AT RURE DL AR AR B 1% U

stream = modeler.script.stream()

node = stream.findByType("filter", None)

Ji5b, AR E L RE T R EIARIR (A s XA HE B R BRI R ) L IR AR DURE A AR PR BT R,

filan:

stream = modeler.script.stream()

node = stream.findByID("i1d32FJT71G2") # the filter node ID

BRI

T Ji. BEA AN AR N LI R 2R 00 T Al LB R R R . X e E vl i T SO R AT

aOAMIL, R TR T U R A B B R AR T ik

K11 T s AT B X R HEn 75 ik

value)

Fi% REZEAR ik

p.getPropertyValue(propertyName) | %% R 48 2 SR A S None (N ATFTE
seiEtE) .

p.setPropertyValue(propertyName, | A3 BEETR B RH,
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K11 ATV EX R IGIERI T5E (4E)

Tk B

iR

&

p.setPropertyValues (properties) S

BERERENE, BRSNS
HE W& — M Fonmi A, LIy
HE B PR,

propertyName, keyName, value)

p.getKeyedPropertyValue( POE IR [ 48 5 J& M (. S e I 1 3k None
propertyName, keyName) (AN ARAFAE IR )
p.setKeyedPropertyValue( AN B4R A S 1 (B R

fn, AR B BT A T AR O B A A SO T R E, IR AR UG LL T A

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)

node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")

o, T REA EARE I E Y RO IE T B XA DL, IR E T B AR A, Bl:

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

BT R RIEMAR

FEFLSREOLT, TR B BUA A IE 1m0 BUA A SOE H &R SIUE 55

2. A5 SRR,

tETR

WEHR B T SRMRIRE T TR, TR TRk,
F 12 Gl RIATr

FHik R [E R iR

s.create(nodeType, name) R Bl B A F5 2 IS Y 7 SR s s
R,

s.createAt(nodeType, name, x, y) | T A e B4 o 2R 91T SO A i E]

TRERTH IR EME, R x <08y
<0, IaRENME.

s.createModelApplier(modelOQutput, | 95,45
name)

BT IRA B B A AR a0 R A AR
TS % 1 AL

fian, BEAER QIR RN A, R DUGE DL AR

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")
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HEZEMBUHBET S

TEL A BIEFT 19 AU, XA Y R UG R B SRS, SR JE A R .

TR, T ERME T X Tk,
H 13 T HEB ARG % 15 ki 19 T ik

TP AL T 2 AR BB AT BE

FHik IR[E R iR

s.link(source, target) ANiE H W S5 BHAR T S Z A E b 2.

s.link(source, targets) AN TEVET 055 4R e b 1 A B AR5
Jepd aRtlf=s ot

s.linkBetween(inserted, source, tar- | Ai& TR AN HA T S S PR S B AR

get) W) ZEIMA R, IR E AT
A7 BV B N A T3k AN A S 2 T
B8 el LTSS BART S 2 E AT
] B R 2.

s.TinkPath(path) Rt FEFT B A AR, AT
U AN, AR AT S
BRI = AT, RIS,

s.unlink(source, target) N3 B 2T 5 B AR 2 A AT ]
bz,

s.unlink(source, targets) ANid bR LSS HRIRP SN NS 20
PAAT A e 42

s.unlinkPath(path) A bk 25 9 S S22 (B A7 AR A AT AT B 42,

s.disconnect (node) Y SR Wk 25 T 4RI A5 5 2 it AT A At
JLZ R AT AT 4 2.

s.isValidLink(source, target) i 2R 1E QRAERE AT S B AR T S A
AR A, B4 K AR A
True, M7 BoBA AF X B X4 2 5 B
THEEW, VAT RG] DR A D)
K HRRAT R DLk, FEHIA
B R B AN S AL 5 R AEER.

T@W?WW$%%~5mE%'

Lo A AR G SO R AT AL T8 AR T

2. WX SEy MR R,

3. TECAESCH R AT S B E S,

4. AR AE A S T DR B,

5. PUTERTT AL

stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ",
filternode = stream.createAt("filter", "Filter", 192, 64)
tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)

stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
filternode.setKeyedPropertyValue("include", "Drug", False)
results = []

tablenode.run(results)

96, 64)
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SN, BHAMGR A

SOIEMER A A, R AR R AL TR T AT RAL B AR T R T,
# 14 HTRA, EHAME: T 00977

&

IS

i

s.replace(originalNode,
replacementNode, discardOriginal)

A

Bt P i FE R AL AT A
BRI AR AL NUR TR E I

s.insert(source, nodes, newIDs)

LIES

TERT S LR B P 4 AT R RIAS. B
S I B A1t 37 v 1 T A R B A
SEWLH. newIDs BRiEFE/RM 1L BT
RAERGHRRIR, 3 % SZ f F FH BE
AR, BE BT T R A E—
PRI, RXREFE IR S 46 S AR B9 18 D
T, AR RSB E Y True. Tk
B [EHTE AT RS, BAIRR
SE SCH AR CRI, WA — € 5
BN AT GBI )

s.delete(node)

MFRE L AP BRGS0
JETHEE L.

s.deleteAl1(nodes)

MIEER P MBR T AR E T S, RETF
B T AT AR T S T

s.clear()

MAFR R L R R B A1 AL

18 F1 i R H T =

AR IURE E T RIS R AT AU — T LR, TR A T — ] AR Y i s, R A T X L

F 15, T HRH L IF 5 0R I 15 60y 7 12

Fik IREZEA it

s.iterator() AR J5 [ Xt 4 2 U P AL I T SO R 1k
o8, WRAE next() BB U T
Z IR MEAT TS, B2 BUE E X
LT A,

s.predecessorAt(node, index) FEWMN) IR [\ Fr AT S A48 E BRI EL None
(WRRGIH ) |

s.predecessorCount (node) int 38 (5] T ALY A ) B T A B

s.predecessors (node) S 35 [ T 445 Y B R,

s.successorAt (node, index) (N IR ] BT AR AT SRR S B R 4650 None
(MR RG@E B .

s.successorCount (node) int 35 (] T (35T e Y B S AR AR

s.successors (node) LIES I3 [ i 4R AL R A T 4k,
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iBRR SRR AN

[HIAA G SRy clear 4 BY& M, FI40:

« clear outputs FJ~ MAAE B 0 FHAR H B3 T A5 g 1 0,

* clear generated palette FIT MALHYIE FHAR 1 bR il A R AU B,
* clear stream HTEEERMNE.

Python A G5 SCHF — ALHMARY R %5 removeAl1 () a4 HIFIERIT. i th ANBCRUE #2R, Bltn:
o IHFRIE B AR

session = modeler.script.session()
session.getStreamManager.removeAll ()

o T BRA R

session = modeler.script.session()
session.getDocumentOutputManager().removeAll()

o TH BRI B g

session = modeler.script.session()
session.getModelOutputManager() .removeAll ()

KT RHHEXER
A WIS, DI S AR R I, BRI SRR 1 8, /5 AR O T —
] T 4R35 ORI 0 .

TR TR T ARBOCY SRR, BRRAIRAE R T Ik,

16, TRV S 19tRiR. BFRFIRR SN ik

Fi% G el iR

n.getlabel() FAT IR A8 T SR B AR, HATEEE
custom_name J&dE= FAF H IE H B M
use_custom_name £ HEAT ¥ E 11E B
T, WEA T —EERE; B, AR
ZJ& getName() HY{H.

n.setlabel (1abel) i H BCE R E WA RRIRAE, WRTRAE
HAEEER R, oW A8 2 5 m
custom_name, JfH <K False f§E4
J& P use_custom name, DIEFEERIFR
e, BN, SEEFRERESR
P custom name, JEHf True 15 ELIE
% use_custom_name,

n.getName() FAFH IR [E] 8 E I R AR,
n.getID() FIF IR [ T S RIAR IR, BB A

I 2 BIEE — BRI, 17 AR R
B AL ISEH o BEAT PR AT, A PURE Bl Y A
—BRF AL, LUMEAEST THIEIS PR B 1Y
SARIRL (B, IRORE B R AT R S
AL, IR AR E AR S A
X G 3 N H AT — BRI
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TR TR T RIS AR AR S AR B T ik
17 TR SR B 77

FHik A il iR

n.getTypeName() FAFH 3B AT ST S B AR G il 44 FR. A4 FRED
SR T A A SE Y 44 R

n.isInitial() TR 1E PUE R e 5/ i s =W O R (VA R ]
RO E AT ), Ay kR |
True,

n.isInline() i 25 1H TR SR AT A (R, AT
BRI AT, B AT KR E] True,

n.isTerminal() TR TR I o e s CBRI, TR
SERNEI A, B4 BER E
True,

n.getXPosition() 1278 R SR x B WS

n.getYPosition() 37 R ST Ay B WS

n.setXYPosition(x, y) At P T e

n.setPositionBetween(source, tar-| A&/ BB T SAER P AL E, DU AT

get) FEAER T S (A,

n.isCacheEnabled() iR 1H WERE A m R EE, BT R R
[ True, &HNPKIRFE False,

n.setCacheEnabled(val) Nid XX % A ek s g fr, R
R AT O I HL = A7 D e ik A 25 ]
R, B2 mEEAHHTEC.

n.isCacheFull() TR ME RO SHELF, B2 R
[\ True, 7B E False,

n.flushCache() Nid TH AT S E AT, R AT
Aa B E R0, AT A RAE AT
fEH.
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% 4 F HAK%E API

Bk Zm% APl BA

A g APT 24X & FhARF Y SPSS Modeler HIREM VIR, H RTHEARM A ik & APL A ER5, v
TEAS P B U s ()X S T kA PATHE — B S AL (B2, WREGIH APL 28, AB2067048 L T8 A 2 1
5 A APL

import modeler.api

P AR VF 2 A SR AP 7561 BT 7 #Y.

a] PIFESCHY IBM SPSS Modeler Python Scripting API Reference Guide F#3| ¢ Tt A gmii APT 4L
K, EMSHE AR,

-_T_\ﬁlj 1%%&%“ Iu..\ AA *%%

[55 27 Ay ¢ A4k A |*T1?Eﬁt73€?@ﬂﬂﬁ SRR A ARAE A R ST P AR R S R, RS
WF, FEPITENE AR, A E T NodeFilter 2515 findA11() Fikskescdl, XpiB&fy
LT BR:

L QTP NodeFilter FRSCBL accept() JrdkhysE Ml A A B2,
2. il HMH R SLEORIEA R findA11() ik, R EIFTATE accept () JrikrfE SR A& 1F T AL
PR 70 B Sl s B 72 300 P4 2R 5 FIT i AT 1Y s, Tl [B] (9 19 8103 mT 11 2 2R sk 4B i f

import modeler.api

JHP

class CacheFilter(modeler.api.NodeFilter):

'"""A node filter for nodes with caching enabled"""
def accept(this, node):

return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findA11(CacheFilter(), False)

TTHE: XTHENGER
1 AR A — R, PR AL T 5 TAEA A1 R R AL A1 s Be Y15 6., 2, fE Modeler UL H,
RO G RE WS T A D e S BRI 1 7 B, MU AR B AR O AR AL

Jihh, MAE AT DU i A A e A B Y A BOR T TR R R, XTI R A KRR e e
BRI, Bitn, R S OUR T XHC R AT B, TN SRR AR, R R (YR RO AT
PABS g 7B, HA 5 Coansad 5879 )l DL i 44 2R 25 7 BL

FENH 7RI, B4R fbsifE IBM SPSS Modeler druglearn.str Jit, Jf R BT HE — MR T H
— AT BB, Bl U R R g iU R A

Lo AR R ] A B,

2. ot e AR P R A5 Bl AT R

3. BRI AT BUB B U8 L
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4. AT R 245K,
5. TR AL

i WICHE, E druglean.str JAIETTINAZHT, K IMASGSIE F UCE Y Python (IZHI7ESERTAASH) 1BM
SPSS Modeler HEEE, [K it I A 2 i 7 5 50 B [H AR 23 i =

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue("use_model_name", True)

lastRemoved = None
fields = typenode.getOutputDataModel ()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", TastRemoved, True)

# Remove the field

TastRemoved = field.getColumnName ()
filternode.setKeyedPropertyValue("include", TastRemoved, False)
# Set the name of the new model then run the build

c50node.setPropertyValue("model_name", "Exclude " + TastRemoved)
c50node.run([])

DataModel X G §2 4l T 227 I 175 1] 5¢ T Bl M Py i 7 Beal RO (5 B 7%, TR E 71X 8873k,
K18 T KT 7 BB 5 B0 DataModel %575 1%

FHi% REZEER ik

d.getColumnCount () int IR B B B R Y B4

d.columnIterator() pr AT RE — B E, T LIE R AN
JPAR [ 45 51, 1 AR K AR T 37 S ),

d.namelterator() EAWTS IR B =A%, T LB SR8 AN
J7 3 [ 25 B 44 F%.

d.contains(name) i R E MR DataModel H77E7E ELA$8 E & F
51, I2MTTERE True, B, &
[[] False,

d.getColumn(name) Column IR [ B AR AR 1,

d.getColumnGroup (name) ColumnGroup IR E 35 5E B B None (ISR ARFELEIX
FER B4 |

d.getColumnGroupCount () int ?i[]ﬁt§1ﬂ§i%ﬁ”qnﬁﬁﬁﬂﬂﬁ$ﬁ

d.columnGroupIterator() ERE R A EAEE, HTREGR [F #5131
4,

d.toArray () Column(] He B LR g 5 [ 413 [m] 47 4
B R i AUF AT HE P

BATE (FIg) MEM-TZMMATIMHETINELR I %, FTRINM T HP — 277 %,
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#19. HT V5K T AR (5 B B SR 5 05 1

FHi% REEER i

c.getColumnName () string 1R [E] 51 1) £4 K.

c.getColumnLabel () string R BFRE S S F/FEH (WA
SIS ) .

c.getMeasureType() MeasureType IR (8] 5] i i 2R,

c.getStorageType() StorageType IR 5] B0  A7-Aif 21

c.isMeasureDiscrete() R ME R True (ANSRFEISIAT) . 1E &
B BAR R I SR AR A S Y 5.

c.isModelOutputColumn() TR 1E IRE True (URFZBEREH5]) |

c.isStorageDatetime() Vel RIE True (ANSRAEAFfg AAsTE),  H 45
BN AT ) .

c.isStorageNumeric() TR RIE True (UNSEF A 1766 b 4% Bl 52
0 .

c.isValidvalue(value) i R E RIE True (Q0SRLF8 & MEXT T A A
) M ovalid (IR A EE
LIDIR

c.getModelingRoTle() ModelingRole IR [B] B1) (1 S A A

c.getSetValues() Object[] R [ 51 1A A 515 None ((AMSR{E R
MBFEIIANRES) .

c.getValuelabel (value) string 3R [ F1 R A B BR A 2S TAF R (SR
AEHZE R ) |

c.getFalseFlag() X% B [\ 51 ) “false”fabrfE ok None (UMARAH
KA FIIASEARE) .

c.getTrueFlag() X4 %[5 B R “true” G FRIE B None (115 {H
RAFETIAERE) |

c.getLowerBound() X4 R [ B A P T RR(E S None (UMSR(H
KM FIIANEL:) |

c.getUpperBound() X% & (8] 51 FR A (A Y _E R E k. None (B SR1E
KA EIIANELE) |

WS, KREBUNTVINETHIE BT EE4B1E DataModel X474 B T 45007, wiltn, TAIRANE
) ROE )

dataModel.getColumn("someName").getModelingRole()

dataModel.getModelingRole("someName")

iR B &E AR
BTSN W0 2 O AR HORS % S SRS TR AR B, TSR (R B AT o 0 DR £
EL A4 .

FELAT R, druglearn.str AR PR ARG f. EHORGIH, HHATR AT A TR, FFEG R
eSS, ARG, TACKG R Pk Segi R, I HARAT B 7= AR AOAE A B i 05 £ 77 09 TBML SPSS Modeler £
B (.gm) SCPF, MEARLE L PMML A% 305,

import modeler.api

stream = modeler.script.stream()
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# Set this to an existing folder on your system.
# Include a trailing directory separator
"C:/temp/models/"

modelFolder =

# Execute the stream

models = []

stream.runAll(models)

# Save any models that were created

taskrunner =

modeler.script.session().getTaskRunner()

for model in models:

# If the stream execution built other outputs then ignore them

if not(isinstance(model, modeler.api.ModelQutput)):

continue

label = model.getLabel()

algorithm

model.getModelDetail().getAlgorithmName ()

# save each model...

modelFile

modelFolder + Tabel + algorithm + ".gm"

taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...

modelFile

modelFolder + Tabel + algorithm + ".xml"

taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

LS5 T AR AR T — Flas 745 TR WAL S5 MR 7 3. 3R Md T IR 4R Ak iy 7 k.
% 20. T HATH WAL S BT 551817752507 i

FHik IR[EZER A

t.createStream(name, autoConnect, | i A IR BT, EER, BAILIAR

autoManage) 25 FF 7 ARG AS ) s X 2 it
ALY 1% autoManage PR AN
False,

t.exportDocumentToFile( Nid i 48 T 1 SR A OB R IR S H 2 L

documentOutput, filename, i

fileFormat) ’

t.exportModelToFile(modelOutput, | Aifi i i 48 1 S SO AR S R

filename, fileFormat) 4,

t.exportStreamToFile(stream, file- | AiE M i JH4E 2 10 ST A 20K it S i 2 S0,

name, fileFormat)

t.insertNodeFromFile(filename, dia- | i FEE AP U R |5 A, AR R

gram) HiF AP IR ER, HFEE, ok
AT JH T TR B 32 BT A X G R Y 6
%,

t.openDocumentFromFile(filename, | SCRY% A8 RE AR O AR 8] SeRy,

autoManage)

t.openModelFromFile(filename, | HifI4iH IAHE S8 SCAF IR B AR

autoManage)

t.openStreamFromFile(filename, | i IFE B SO AR B

autoManage)

t.saveDocumentToFile( it PSR 248 0 I ST

documentOutput, filename)

t.saveModelToFile(modelOutput, file- | ik B R A 2 48 5 1) SO

name)
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% 20. AT H WAL AT 181775 K Tr ik (25)

FHik IR [E]RA ik
t.saveStreamToFile(stream, file-| A&/ K AR AT 238 2 W SCH L E .
name)

SISER7 3PS
Python i it Tl try...except MRGHLITRIHHRALILI v, T BIZE A B UL T oM R 52, OF
A B S AL 1 0 ) B,

HFELU T R4, E22 ) IBM SPSS Collaboration and Deployment Services Repository H 2T it
PRETTRES FEUME %, BIANAT REAR IR % B A R B S B IR B E A0 R B AR AR, TEHI A, XTRES
SEH ModelerException (IBM SPSS Modeler “E i Fr A 5 #1UKAE H modeler.api.ModelerException) .

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

i ARG HIERE N RE S S EI AR Java R, XS REIFIEIRAEE ModelerException, ZEHARIX L
SEH, TR R INRY except HURIIRITA Java B, 40

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

. SEMETY S

SHARME T — FAE 1B 4TI AL 38 (5 T AS B AE I AS B e XX Se(E AT w0 T a0, S 8O R & S X
AR, Bl X ARSE T SMSHEPNFE RGPS, WEMBE SRR T ~4HH
ParameterProvider X4 LI pREL, WINRFR, STERMET getParameters() P, i FIK 2 ] i x4t
ERAGOIE S

% 21. /1 ParameterProvider Xf5 & X R%L

Fik REZER R

p.parameterIterator() LA IR [ X 5 (1 2 84 1 AR R
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#21. /i ParameterProvider Xf5E X HIREL (£2)

FHi% REER iR

p.getParameterDefinition( SHUE X R [ BA T8 E AR S50 S 80 L5

parameterName) None ( 4nARG4R AR P P RAFTE L S
) a5 ET DRI T i E
PR, O HORTR 2 W o 4R R
X ESEUHAT AR 5 228 L.

p.getParameterLabel (parameterName) | F4/F 5 R [ 48 B S E R EL None (IR ARAE
TEHAESH) |

p.setParameterlLabel (parameterName, | /id W E S BN IR A,

label)

p.getParameterStorage( Eeeaig B [ 45 E S EUNAEAE S None (UNSRAAE

parameterName) TEREBE)

p.setParameterStorage it H BEEIRE S BIIAE.

parameterName, storage)

p.getParameterType(parameterName) |Z¥iZsHl IR 48 E S B None (AR ARHE
TEHESH) |

p.setParameterType(parameterName, | /i B8 E SIS,

type)

p.getParameterValue(parameterName) | %f%: R EIFE ESHUNE L None (TR ATFELE
HESHO .

p.setParameterValue(parameterName, | A~ id W E S,

value)

FELAUT R, AR T —28 Telco Bl IAREA RACFIIWABSRRI X, A5, K X & —

MRS TR, AR BRI S O % 2 BN T HERR I D, AR AR A R AR ) B A A L SR
iy

PR B AR H AL, ﬁmlﬁ%$$%iﬂTﬁjyﬁm,ﬁl%E%E“?“%”%¢ﬁ¢E§¢ﬁEﬁ%
fE, (B2, JdFEHeHER, Kt mr L E 280t 7H MRl

7 B EA ) 26— %“ﬁ?@%ﬁ%ﬁ GRS EC W E TR ARIRIIX SR, 756, AR AR SO
B PR R, FPRX ‘ﬁi?éﬂa

import modeler.api
stream = modeler.script.stream()

# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)
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selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

L7 1 A iy o DA T O

IJW.:ME ;f__q\\ —

L\; h—"-§>.—|-—|-|
S O

telco.zav Adgaregate Tahle

--'?* — B — G

) S

Select Type churn

[ 5. o BIIIA A A
RS (4 LA 5800 T AT A LR SOR B <871 kL

# First execute the table node
results = []
tablenode.run(results)

A BIAA Y LR #6535 T AT 1 G AR R R . S, BRBACRE G R M S AT TR AR, DI
TS B A% A XI5k

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount ()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

JENAR 1Ay AT 08 o FHF SO R AR Y DX Ik 1 L S i B A “LowestRegion™ it 28k, SRJ5, 72 NIIIZR%dE b
B TR E XA OL T, BEIEACK AT BB A 4R
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# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

SE R MR B A U0 T B,

import modeler.api
stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount ()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
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row += 1

# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

£RE

EJRE AT R E T B A IULES . AT DR A SRA AR AL B D7 W X 2 EE, AR, AR S AR
MR, X—RSRSEME. 2RESHSMNERET, REEREBCERREY SIS A st T
SR, AR A G e Aok 2, PTRLEE AT getGlobalValues () J7 ki 1% i 2 JRfE.

GlobalValues *f4¢5E 3T H R 1 B4

2 22. GlobalValues X145 i & L 1 R 4L

FHik Y EE i) ik

4 BRE DR - RENENFE A
FRITER LS.

g.getValue(type, fieldName) X% IR [ 45 8 R M 7 Br A4 B 1 & R A 3k
None (UMSRFRAHME) . BERFRMI
FHE T AE 23R [ 45 Al B 2T, (H 8
IR B A HCF
g.getValues(fieldName) & IR AL AR T R AR C A 4 H K
o None (HIRZFEHAMARE) .

%

g.fieldNameIterator()

GlobalValues.Type & SCAI RIS AT A28, W] AL S an T

* MAX: FEHYER KA.

* MEAN: FEHMH,

© MIN: FEHR/IME.

+ STDDEV: “FEIMbRifEZ.

o SUM: “FBrP o AR,

fln, DUF AR Ui AT F BB, SEE R E A R s R
import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income"

ERAZAH - WMILEZ
A I A, AT, FTLIZE TBM SPSS Modeler UT PY4RIHRIIZ 70 SLIA, tn AT E AL 50
J7 R FAFSEIAAE R fr A7 B M7 143

PRI SE AT I AN, b — 0 A A, T 265 A9 1 T 2 ) T ) 93 A

# Change to the appropriate Tocation for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18/DEMOS/streams/"
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session = modeler.script.session()
tasks = session.getTaskRunner()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applyc50.setPositionBetween(derivenode, histogramnode)
plotstream.1linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.run([])

# Finally, tidy up the streams

buildstream.close()
plotstream.close()
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% 5 8 WAREHRD

A ] B A A R I O v, A B O aA T, TEMA R s &4 L K ijil] IBM SPSS Collabo-
ration and Deployment Services Repository )X} 4 %,

ERUAHIT

FEATHEN, HEBE L F IO ENUFA T I . ST, TR 8 LA oRET, %
PSTOE HOETIOUF,  EAE PR T8 HE A0 BT JBI0 52 23K

LTI,

2. Ml TR F R AR B O A A,

3. A BRI AS T 6 L B 5 ) ST,

X RBATRER
SEATRA R For JEERRE AR I0FTA 15 AHEATIRES. (A0, LA ISR 61 15 AT U5 I 4 i
U T B R,

A DR EAT L 38T AT A I P G SIS, R SRR A JRAT A0 5 Bt ik, RS & i i A v B
<3 8717 o B AR A T A P B T B AR O R

# Alternative 1: using the data model namelterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# namelterator() returns the field names
for field in node.getInputDataModel().namelterator():
newname = field.upper()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName().upper()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

WA S F R T A T SR BEATER, JRR A AT SRS IR . WA, AR PERRZ T A
MEANTE, i field.upper() = field.getColumnName().upper() ERECH ZFRT M A KE.

i51a) IBM SPSS Collaboration and Deployment Services Repository
GTOPEE
R4 HA IBM SPSS Collaboration and Deployment Services Repository ¥FA[IIE, HB-4 A] DL I BHIA iy 4 7E

T b PR Al DL RS ZRAS B2, (8F FA fo EAE iLb B FIARR F,  ERTIARR ol T7 58 B3 P o K304 i A BRI 5C
TS G 04 A= i e S04 B
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ZEHZ| IBM SPSS Collaboration and Deployment Services Repository

By, e Seiliid SPSS Modeler FH A AT 1) T B 38 5 a6l F Ay & 17 8 57 BZ A7 2 1 A A0k 2.
HEHELEL, iEZ04E 58 Tl 1 IBM SPSS Collaboration and Deployment Services Repository %12 [ 25 & 1 |

ThIa)E A EE
Al NEIE VT A, an:
repo = modeler.script.session().getRepository()

NEEERENR

TEMIA, (M retrievex sRECRUIFASMIE, MM, B S A0 5, TR BIR R R B2,
% 23. A G ] R AL

MRER TR R

ik repo.retrieveStream(String path, String version, String label, Boolean autoManage)

I repo.retrieveModel(String path, String version, String label, Boolean autoManage)

i repo.retrieveDocument(String path, String version, String label, Boolean autoManage)
1IN repo.retrieveProcessor(String path, String version, String label, ProcessorDiagram diagram)

fan, T LU DU bR SOMAT fif P ARG 2R O

stream = repo.retrieveStream("/projects/retention/risk_score.str", None, "production", True)

R N8 8 B SO ek 2R risk_score.str Jii. #RZE production ARiRERRMMMA, fa —1S5dEE
SPSS Modeler ¥ i (4N, Ut SPSS Modeler P R A WL, WAERET FrhEmnR) . EABEI T,
LA R S M 3k 11 R AR

stream = repo.retrieveStream("/projects/retention/risk_score.str", "0:2015-10-12 14:15:41.281", None, True)
i WR AR S HGE A None, B2 853R [0 5 B A
EEEEDEHENR

B ARG RITEAR RPN 5, B storex R TR BIRAAH R AU L,
K 24. 71K A 2 ] R 4L

MRER R

i repo.storeStream(ProcessorStream stream, String path, String label)

i repo.storeModel(ModelOutput modelOutput, String path, String label)

i repo.storeDocument(DocumentOutput documentOutput, String path, String label)
TN repo.storeProcessor(Processor node, String path, String label)

fan, AT UE FHRL T BB B MUAS 1 risk_score.str Jii:

versionld = repo.storeStream(stream, "/projects/retention/risk_score.str", "test")
R BRI A BT, K "test" ARZ GIHAHKCEL, FaR A1 hRA 1 A PRIC.
i R AR S B RRAAHOCHK, 1 E AR AZ I None,
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EEFHE R

I AR P SO, BT DL RSB R AU L 5 T AR MR AIXT S, [ createFolder()
PRECBIEE ORI, DA 2R T s

newpath = repo.createFolder("/projects", "cross-sell")
IR IE "/projects” SCHFSerR Al 2R "cross-sel 1" BYRTSCAFIE.  pRECRE IR [] BT ST 142 1 58 B2 f 42,
B v 45 Je, EMH] renameFolder() pR%k:

repo.renameFolder("/projects/cross-sell", "cross-sell-Ql")
F— SRR EE A A S e R B AR, T AR B SR e R o BT A4 K.
BEMIER 2 SR, 158 ] deleteFolder() pRAL:

repo.deleteFolder("/projects/cross-sell")

& R INEE

FACAERLT, TRETT EAE A P L E A, I, GRRTRETT U N 2 R AR A BRI, 0 R T A
o Kot P JEORRRG L YRR R

o ESFER ST AR A ST B AL

o AFHEFE par SCHF CH ST R0 KA BEST-R A BRI S B ) BB i e 1k

AT, TR — A T ERYE Blowfish BIERANMEEN (ARIFMEE, WESR hup:/
www.schneier.com/blowfish.html ) . #AT9mAJE, 1T DUE 6% 00 6 HAZ M 2 A SCHE & S TaZEH, M
F databasenode il databaseexportnode M7 SiJEME epassword fEAEINA &Y.

L B UM, A T H SR

MR THRAY. .
FECHERL” SUAME i E — Y,

B omAL, LIRS R AR AL D
By S T R A £ BT AR
B L R T 1 e 5 ) A S 2 B,

A

B E
S B 7S A X B HE TR RO (R e, T L A A A 2 AR 0

& 6. it TR AR

TR A K7 AL S D P 1 B8 R B RO R R . AR R URAT, I RTINS . b
PR AZL (0 5% H R4 iR,
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NS ITRS HIZ

T o 2 5 IAAS T DLa A T8 R P R R T A ERE. J53h IBM SPSS Modeler I, HFFfE 24745 & Mliz
fr—Ahsryt., i

client -script scores.txt -execute

-script ARICRAREATREMA, 1M -execute FRICFRHMATIZINASAE BT A i 2.

52 R R A

FELIATRRAS A IBM SPSS Modeler H 15 Y B ARG 5 1% T0 /5 B0 nl DIFE S AT iz tr, s, B
FERT LA Sl AR (OB BEE ), FF a8 AR e h S R B R e, SEPR & AR 9 A7 D R 1
BEBRMEFRMBREERB LS (TR > &I > APED > @B&) rucE. i, G 2es
DRI RRAS B REIAS, A6 12 RS Hh AR B 4 ol o 5 A Y 5 3k AT 19 B8 R 5 Al

T 24 il R A o G 7 14 A AR DARID A RRCAS FP R RE T ik IE W38 AT

WERAEIH A B i A H T E 80 (SR8 2R ) i@ s, A4 HIBTE a4 i A 58 & 75 51 52
Fr, B ER - FESHE, #a, [HAY generated XAEF T B model ##f, H clear generated E# clear
generated palette ¥, 1THIHER AR Liiaty, (H¥ SR —FESHE.

RIRHITE R

Vi% IBM SPSS Modeler it/ (TR, PRI RAIRBCR MR G, FERILHIR, Y250 A6 05 T h A
FI AR SR GENITIOR TR BOUSROAM LB N A3 8 (RTRROBAERE ) o, (T LUBLL AT FAR B4/ B i
SCBFLRCT LI RS . T 50 1 BT 682 P o ol 2

fian, VrZ e A AR PMML {9 XML RAORFR K THRBAER,  Blinseem e & Mo A il
FHMRLE 7 BE, s o 22 [ 205 v 14 e e 3 4 DA B LU oo JE WEAT 1 4, () PMIMIL (9 A6 8 gy 1 488 ik ]
FihMAE B0 XML B, fn:

stream = modeler.script.stream()

# Assume the stream contains a single C5.0 model builder node

# and that the datasource, predictors and targets have already been
# set up

modelbuilder = stream.findByType("c50", None)

results = []

modelbuilder.run(results)

modeToutput = results[0]

# Now that we have the C5.0 model output object, access the
# relevant content model
cm = modeloutput.getContentModel ("PMML")

# The PMML content model is a generic XML-based content model that

# uses XPath syntax. Use that to find the names of the data fields.

# The call returns a list of strings match the XPath values

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")

IBM SPSS Modeler 114 g il o S5 LT A A AR

o RABEBLR AT IR AT 091 i 1 B2 Kb (Y 15 ]

o XML PIEREVRHEXT DL XML A% A7 fif ) P9 25 /9 15 )
* JSON HFHEEFRAEXT L TSON A% U7 fif 14 P4 45 1) 17 1]
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 FGEiT REEB R S R E T BB LT ]
* BB B AREY T U e A B S G R P UM B A

RAFRE

PRI ARt P ] ) AT R 1 e P T SRR, R AR (A T A R R A [R] — AP AL (fltn, 74

REUEED) |

API

% 25. API

1R [E Fik it

int getRowCount () 3% [t e AT 5.

int getColumnCount () IR [1 he H  B1 4

FH& getColumnName (int columnIndex) BB TR E TN RGN IIN B, TR
50 FFLA.

StorageType getStorageType(int columnIndex) R AN T8 E RIS, %)
K5I 0 FFiA.

POE getValueAt(int rowIndex, int|RENTHETHIIRGIHIHE. T

columnIndex) E5 0 JFHA,

void reset () T 5 15 1) P 25 28 S G 1) A ] P A7 Bk
.

T g

TRINE T B AR Y R A
K26, TR

TEE W AR BTN
* * "table"
IR

stream = modeler.script.stream()
from modeler.api import StorageType

# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)

# Configure the aggregate node

aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node

tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)
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# Execute the table node and capture the resulting table output object
results = []

tablenode.run(results)

tableoutput = results[0]

# Access the table output's content model
tablecontent = tableoutput.getContentModel("table")

# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), \
tablecontent.getStorageType(col), \
tablecontent.getValueAt (0, col)
col = col +1

“JEAS TR BRI r A i e 2R LU A

Age Min Integer 15

Age_Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugY
Record_Count Integer 91

XML H&ER
XML MR A 5T XML &3],
XML NZERERE P aei8 15 [nl £+ XPath FiA A, XPath F£iAE AT E LHHEREN L XS E

PERY AT R, XML PN %R RO T A48 25 Fhout R L B g 1R 8 AR A0TY, T XPath SCHF A Gl iy B L4
T, RXAEAFiE Python JAIA G il 4T 98 5 Ay A7 B

XML WA BLE B TR XML SO D545 83 B 0GR ] H e 5, 3X feiF Python IS T 6 I I Python
JERAFENT XML,

API
#27. API
IRE Fik iR
FIFE getXMLAsString() IR IE R ) XML,
S getNumericValue(String xpath) 3R [ i P00 [ 2R X B A AT SR
Mgk (pitn, 5 g Rk AR DL i
1 70 3R MR AT R
miRE getBooleanValue(String xpath) 3 [0 %o Jfr 4 i i A2 2 3k R A i A3 1 A7
IREERE,
iy getStringValue(String xpath, String|i&[H]548 & HAZAHVC L (@ M 5 XML
attribute) T H,
FREGIE getStringValues(String xpath, String iz [El —/ 315, Hr {0 & 545 E HARAH
attribute) VCECH A R fE . XML 15 i fH.
FRBTIERMTIE getValuesList(String xpath, <List of [ [l —/M415%, Hrb & 515 & AR
strings> attributes, boolean|VULilMyrHEMEMEDL I XML 7 51ME
includeValue) (AARFFE) |
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#27. API (%)

R

ik

iz

B%)% (key:string, value:list of
string)

getValuesMap(String xpath, String
keyAttribute, <List of strings>
attributes, boolean includeValue)

R — AR, R T R P
XML 5 s fi Y, FPHE e mik
/Y813 FFERAA.

f/RE isNamespaceAware () SRE] XML b7 58 02 75 5 038 4 Fr s
[B], BRA5{E N False,

void setNamespaceAware(boolean value) | E XML f#fr % & & W HIHE 4R as
], SR reset() DABAMLIG 2L
AN L,

void reset () HAESHNERR (Fl, =SEEEN
DOM Xf %) JCIKMATAT P ARAE ik 4.

T g

RS T T G S P AR A e T

728 TG

TEEZ i &R BRI
REHIERESR ERURE R ZRIIER "PMML"
"autodataprep" n/a "PMML"
IR

AT UIHAZ Y Python A HIIUAT AT REFLLT LIT A%

results = []
modelbuilder.run(results)
modeloutput = results[0]

cm = modeloutput.getContentModel ("PMML")

dataFieldNames
predictedNames

JSON A&EER

cm.getStringValues("/PMML/DataDictionary/DataField", "name")
cm.getStringValues("//MiningSchema/MiningField[@usageType="'predicted']", "name")

JSON WA B TR AR JSON #5 N A RIS Re, X8R4 T3A APL  DASRVF FE AR E ENTHIE Z 5]

WA L ) 175 250 T it BB,

API

% 29. API

1R[] FHik iR

FRE# getJSONAsString() PIFAF R LR [F] JSON R %,

FOE getObjectAt(<List of cbjecta> path, |1 [E+gE AR IXT %, AT 4EAY root

JSONArtifact artifact) HiH 5=

TR AZ, XA O TR N
MR, R B E ] REE — A SUF AR
BB SEBEU RE T E & JSON
T4 (JSON Xf4:uf JSON #¢4) .
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%29, API (%)

|

ik

iR

#1751 % (key:object, value:object)

getChildValuesAt(<List of object>
path, JSONArtifact artifact) HH5H

4

b

TSRS E B2 4510 JSON X4, B2
R EZ AR TE, BNERE null, #
H SR A R AT E, T ORI T RE
AL F TR, BB SR R
&t JSON T (JSON Xf#4uf
JSON $#) .

BSEXES getChildrenAt(<List of object> path | {SE+5 & M42F5m JSON %2, A%
path, JSONArtifact artifact) & [ B TIZEERAIXT LR IFIZR, HMER
w B null, 3R E ] EE R — A SCFEFER
BLORCR SRl R E R JSON
T4 (JSON X4 5 JSON #(4) .
void reset () RSN AR (F, mEZEAR
DOM X% ) SKIKM{EA0 N FRAF it 25
RGNS

URAFAEAR S JSON A% 2RI A AR A7 1 i, IR 2K A DU AR ] — AL 43R 9 A DG £ R

results = []
outputbuilder.run(results)
output = results[0]

cm = output.getContentModel ("jsonContent")

bookTitle =

# Alternatively, get the book object and use it as the root

# for subsequent entries

book = cm.getObjectAt(["books", "ISIN123456"], None)

bookTitle =

cm.getObjectAt(["title"], book)

# Get all child values for aspecific book

bookInfo =

cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-level "books" value
# contains a JSON array which can be indexed

bookInfo =

cm.getObjectAt (["books", 2], None)

# Get a Tist of all child entries

al1Books =

cm.getChildrenAt (["books"], None)

5l g it M B E B AR S Gt AR E
GGV BRI T DO A7 By CRAR TRV ) VERMOGEVEOVTI, B G P 68 BB S 7T L £ 1,
X5 B 0T B 2/ 2 R ZE 1 10 .

ARERY ST A
- it

- HE—ith

- BHITH

* Mean

e Sum

50
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cm.getObjectAt (["books", "ISIN123456", "title"], None)




- &/ME

- &AE

e Variance

© IREZE

s FHENRERE
c RE

s RERERE
- BE

s IEEIREIRE
« i
VAN

* Pearson

- WHEE

o T IRIE

- F 3%

HALEOGE T RAIGE T, AR EOUE T O STt

M K BB G T Y RN

o VT AR NG I AT DULE SR R AR G T B LT A BSOS

o “BURERRT RSN GE IF HoAT RIS G A B T B DL T AR OB e i
o “HETIY AR BT BOW BORE T B (- A B BT FU BN A RO S

WAR L Py 5 LR I G v ] FEPRE IR T 2 35 S B DU REAIZ 1 S P i
ColumnStatsContentModel API

% 30. ColumnStatsContentModel API.

1R [E Tk A

List<StatisticType> getAvailableStatistics() B PR R R g, IR
BRI A A G Y.

List<String> getAvailableColumns () R EEHHITESEITR 4.

Number getStatistic(String column, |1 55| TTE.

StatisticType statistic)

void reset() T8 25 5 1) PR 220 S T (1) A AT PR R A
.

PairwiseStatsContentModel API

# 31. PairwiseStatsContentModel API.

IR [E] FHik iR

List<StatisticType> getAvailableStatistics() W& B IR G ] g1, R AETE
BOER A A SR,
List<String> getAvailablePrimaryColumns () R [ BN H B G TR A 4,
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% 31. PairwiseStatsContentModel API (%£).

B TiE Ei::puy
List<Object> getAvailablePrimaryValues() R o HFE SR F AR,
List<String> getAvailableSecondaryColumns () A& [ 2N H B G T AR B 44,
Number getStatistic(String primaryColumn, | iR [8] 531 B A G TE.
String secondaryColumn,
StatisticType statistic)
Number getStatistic(String primaryColumn, | i [A] 5 3= B H{E A B 41 ¢ Bk 19 45 11
Object primaryValue, String|{d.
secondaryColumn, StatisticType sta-
tistic)
void reset() T8 25 5 1] PN A MRS DG I (19 A AT P w4 i
.
Rtk
RIS PR A R 1 i 1 L
# 32, 95 R M.
TRE 2R BRIR ME
"means" "means" "columnStatistics"
(B )
"means" "means" "pairwiseStatistics"
CPIE 5 50
"dataaudit" "means" "columnStatistics"
CHHEHAZ T )
"statistics" "statistics" "columnStatistics" A A A 7 2 B AR

(G 1 i)

"statistics" "statistics

(G I I

"pairwiseStatistics"

{UEF BN R A

ENLLAFIS

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []

statisticsnode.run(results)

statsoutput = results[0]

statscm = statsoutput.getContentModel ("columnStatistics")
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if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " = ", statscm.getStatistic(cols[0], stats[0])
statscm = statsoutput.getContentModel ("pairwiseStatistics")

if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns ()

scols = statscm.getAvailableSecondaryColumns()

stats = statscm.getAvailableStatistics()

corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)
print "Pairwise stats:", pcols[0], scols[0], " Pearson = ", corr
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% 6 F mSITEEE

& AR
WE“J@EPH%"T%VF%éﬁﬁ’ﬂﬁ’ﬁé\ﬁﬂéﬂﬂ—l\—)ﬂfﬁ IBM SPSS Modeler:
. TEZHT IBM SPSS Modeler it 8EAML L, FTHF DOS i S /mAFH M.
2. EPIZHHRIES) IBM SPSS Modeler i, ik A modelerclient @4, RIGH AMTHIZSE; Hn:

modelerclient -stream report.str -execute

WS (BRid) AVFESERRISS 5. FAR, 81T IR SR E e A 2R

WLITEZENER

Ll A tTE A R (WA AARID) M2 &I modelerclient x4 LI M X IBM SPSS Modeler [

PIany

H.
FAAEZRin] R ar AT H AR IR, AT YR Ja P 20K X e AT g

X33 S fTEA B

=

BT A WAL E

S NERS BEXHELEL, SR 56 1R 1 B2 H A5 1 [,

BRALR ﬁ%ﬁzﬁa,iﬂﬁ%ﬂﬁmw%ﬁam%lﬁ%

R 55t et B AR & HREZGE, WESREST T RS REEHA R [
i,

IBM SPSS Collaboration and Deployment Services Reposi- | 8 215 H, &2 l% 58 Gif 1IBM SPSS Collaboration|

tory EHHA & land Deployment Services Repository % % [ 48 & 1[4 1.

IBM SPSS Analytic Server i HZF = 12 08 8155 59 A 1 IBM SPSS Analytic Server i%4% [ A%

[ s 245 .

Fltn, wRI# A -server, -stream I -execute FRICRELBIR SR, RIEEAFBITH, WTFUR:

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

TR, ENAME P ERGEIT, ATREREMR S S A AR,
LU 5 4R & s s i S, i

modelerclient -stream mystream.str -Pusername="Joe User" -execute
n] LA L FT IBM SPSS Modeler ARZASFIA, (HE5HI6 ] -state  Fl -script 7L,

i R EAEG A SIS, B 2BFES S 2 AT bR RT3 AT DLk o 7E AR R A R A R B
x5,
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Him<ITEEE

%ﬁﬁu ﬁ,%ﬁﬁmwﬂwdmﬂﬁ'ffﬁﬁmﬁ SEENL T 28 IBM SPSS Modeler, X AET] DL
Er A R ARy BT, B, T DIFESIESECMEHE (“TH 28 S>SESIESH) ot
o iy A AT 38 B AT AT 2 B0 (L F ﬁ@%m

ZRETE
T T T P P T 7 PG 3R 7

#34. FEHLRE

BTE T AMER

@ <commandFile> @ FFEERCH4, XTI Em251£, X4 modelerclient #EIP @ JFkiZ
B, BEARAEZ SO A A BEITERE, BMINRAE AR ST —HE. BRELZFER, HEH
[56 59 Ty r G Z A BH0 FE,

-directory <dir> WERE TR S, EAMBEUT, 1% H 5ok RN T8RS, <6 -direc-
tory c:/ or -directory c:\\

-server_directory <dir> BB B R M 55 E -directory FRICHEE M TAE B 8 1 THi .

-execute EEZﬁJE?ﬁLﬁEZﬁJHﬂLﬂT%)\E‘J{m\ REF A, WRTERBCREZINERAN T IA, JF4
DA g BB R AT

-stream <stream> SRS AR BRI, FTLAEE 200, (Hgma — 88 B TR0 B 2 i,

-script <script> SRS AR E AL A, W R TR, BRIEECIRASZ AN, WARICE ] TR E A, 5
TESA BT RN — A AR,

-model <model> TEJA S REAFE B 1 A R AL (Lgm A% B9t ) .

-state <state> TSRS, HEATRE BRI,

-project <project> RENTEE TR, TSI — A4 THE,

-output <output> BT AT RN HTE (cou #MISCM) .

-help WoRAT AATEAS RYIFR, fEEIIETUR, K2 a2 H0F BoR T Bl bR,

-P <name>=<value> MTREBNSE. 5, B HTREY EE (S50 .

JEE: WTDITE P S R B B B H S, YN BRI, AR S SR R E TR B R R E RS
REX.

PTAZA M

AT, 8n] DUE TR S S R A A AT RS HOR A Z A, RS, fln, 2
BAFIBITANFRN report.str F train.str B3, 0T DU T 6y 4

modelerclient -stream report.str -stream train.str -execute
M IBM SPSS Collaboration and Deployment Services Repository & A X4

ARl LA SO IBM SPSS Collaboration and Deployment Services Repository ( USB43RV AT ) 28 A4
EXTEE, TUﬁiﬁﬁifﬁF%HUﬁﬁ SPSSCY‘ AR PR Y file: (XFTRER _EAUXTS ) Sk¥8/R IBM SPSS Mod-
eler 7Eft A BEARNS. BT 5L FiRichl &6 H:

* -stream
e -script
e -output
* -model
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e -project

AT DU RT3 URL DS @R 00 S, #In -stream "spsscr:///folder _1/scoring stream.str",
RIGET spsscr: HiZ, WAERCAER —m2HHEE THZ IBM SPSS Collaboration and Deployment Ser-
vices Repository £z, FEI, SEEM a2 NIEWMPLLT B 7=

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-SpsSscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

B, TEATAATH 6470 ] URL ASCH#% REPOSITORY_PATH XAERIMISARRFE.  (BLAMRARIGE T IMA, )
A5 IBM SPSS Collaboration and Deployment Services Repository H1 44 (] URI [1E40ME B, 55 M| 43
[51#Y i) IBM SPSS Collaboration and Deployment Services Repository Hf)%f 4 1 |5 i,

SHBETE
BT FIEAE IBM SPSS Modeler [ ir fTHATHIRIMAFIE. (Efr 41T EE RS, -P FFCHT &AL -p

<name>=<value> BJZ50.

XS0 LR
. HESE (A, HHEAE CLEM i H S5 .

- EHSE BHRIVTABRE. HESBEATEUR TSN ANRE, 2030 63 T ¢ 1 m PE
!ﬂu&mﬁzmm

s MELITETE, MTHEHX IBM SPSS Modeler fifif .

fran, oy AR AEECR I S 2R AR D i 2 AThR RS, R Bs:

modelerclient -stream response.str -P:databasenode.datasource="{\"ORA 10gR2\", userl, mypsw,
true}"

HHgX 5 databasenode ¥ /@R datasource ZEUMIF. HXEELIEHE, HSM: |5 75 FH 1 databasenode]

[t . ]

R E AT R, AL Y A ARG S T RO BRI 5 S AT R L. i, iR P _E R
Rl I SE’J%ﬁH\J Source_ABC, HRAMAH AT Fis:

modelerclient -stream response.str -P:databasenode.\"Source ABC\".datasource="{\"ORA 10gR2\",
userl, mypsw, true}"

AFARRG A SN 515 ANE T 24 SORHL, PIF ™ML Bl J57R il5 prs:

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:\Share\TM1_Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/pmhub/pm"
-P:tmlimport.tml_connection={\"SData\",\"\",\"admin\",\"apple\"}
-P:tmlimport.selected_view={\"SalesPriorCube\",\"salesmargins\"}

hEREZEETE

-server FRicfE/s IBM SPSS Modeler W iEREE|AILIRS %, Fric -hostname, -use ss1, -port, -user-
name, -password Al -domain FT457x IBM SPSS Modeler Ui /ALMR 54, R RIEE -server &
B, B HEE S RS54,

il
U PN



modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

R R 55 R SR AE:

modelerclient -server -cluster "QA Machines" \
-spsscr_hostname pes_host -spsscr_port 8080 \
-spsscr_username asmith -spsscr_epassword xyz

R, EEAIRS e ERER Bl A% IBM SPSS Collaboration and Deployment Services H{# i #2 ¥

JHEE, I -cluster ZECASGIEH TR (spsser_») 45, AXELMEH, 2| IBM SPSS
[Collaboration and Deployment Services Repository 344 [ 25 & 1 [42 .

%35, R R H A .

BEE 1T AR

-server DI - gs k3247 IBM SPSS Modeler, [AIf{#i fiFr7E -hostname, -port. -user-
name, -password F1 -domain FE#EF|/AILAR 54,

-hostname<name> W55 EML4A. AAENR 554 7 X AT AL

-use_ss] TREELNAM M SSL (Z2EHTFE) . AR H oI, SREBRE I A SSL.

-port<number> A M g5 i 45, TR 954 77 R Al AL

-cluster<name> TREFRIIR G SRR (MARCMAMRTa) fiEH, HWSH0THREN hostname,

port F1 use_ss1 ¥, ZWANEZES, difrid IBM SPSS Collaboration and Deploy-
ment Services Repository HIEISHYME— URIL AR5 484EREH IBM SPSS Collaboration
and Deployment Services 1 2 Fpifil 4 i 2L, ﬁa‘éﬁ%ﬁ ., 2 1BM SPSS Col
[laboration and Deployment Services Repository %45 [ A8 & 1 |5 i,

-username<name> RO T a5 e i P 44, SUEEN 568 77 20T AT A,

-password<password> T R S5 2 i, ARS8 7 Rl . R WK -password H
ik, ARG R A %,

-epassword<encodedpasswordstring>| X f& I T8 g il 55 4 I S b 09 2 65, ATEMR S5 7 U N oI . 2 WTRhdid 1IBM
SPSS Modeler [ JFE 71« T H "3 B AR 22 1 g 14 2 7

-domain<name> X T SEIR S5 ap sk, AXHERR 554 7 U T T .
-P <name>=<value> MTRERISH. B, T REY SJEE (S50

IBM SPSS Collaboration and Deployment Services Repository Z1%H

e
===}

TR AR E T A 21T A MG R IBM SPSS Collaboration and Deployment Services H X4, IS AT E
—/~f8m]i% IBM SPSS Collaboration and Deployment Services Repository FJ7 %%,  #il:

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring stream.str" -execute

RIS T AT LR AR

£ 36. IBM SPSS Collaboration and Deployment Services Repository %

BZE 1T AMER

-spsscr_hostname <hostname or IP address> | %*%% IBM SPSS Collaboration and Deployment Services Repository /2 55 %%
M EVL A 1P Hidl,
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£ 36. IBM SPSS Collaboration and Deployment Services Repository EH#EEF & (4E)

GEL TR

-spsscr_port <number> IBM SPSS Collaboration and Deployment Services Repository %32 % £ [ ¥t
F5 CGEH, SR 8080) .

-spsscr_use_ssl TREIERN N SSL (ZeEHFZ) . MARIC T IR, B4 3 A A A
SSL,

-SpSSCr_username<name> % %% IBM SPSS Collaboration and Deployment Services Repository (/] J*
4,

-spsscr_password<password> %573 IBM SPSS Collaboration and Deployment Services Repository F¥J%fid,

-spsscr_epassword<encoded password> %3%%] IBM SPSS Collaboration and Deployment Services Repository [ /il1%
A,

-spsscr_domain<name> #5%%| IBM SPSS Collaboration and Deployment Services Repository T {ii ]

M, AR R R T, BRAEEME ] LDAP & Active Directory #F{T%5%,
75 3 208 TR .

IBM SPSS Analytic Server EFERTE

AR i i AT B R IBM SPSS Analytic Server HfXT 4%, AR ALHiHEE S IBM SPSS Analytic Server
UESEGLE

iE: WDIM SPSS Modeler Server #KHU Analytic Server RN &, {HUILN B JoEAER FAL L iEFT 80K,
TR TR T E SR A A,

£ 37. IBM SPSS Analytic Server #HE#EHA &

BXE 1T AMER

-analytic_server_username FF 5% IBM SPSS Analytic Server [ F' 4.
-analytic_server_password FF %55 IBM SPSS Analytic Server [%f4,
-analytic_server_epassword FF% 5% IBM SPSS Analytic Server [£81gmtid 244,
-analytic_server_credential T %% IBM SPSS Analytic Server 4TI,

HEEZITSH

WA RS @ 755, alLIET ARG E R B a2 U A G A2 A AR, X ERe s 4k
AT, H AT DT AR R AR R G i 4 KTy BR . fiam, DUR S shair &l T <commandFileName >
(95| FSCR R YR E 2 5L

modelerclient @<commandFileName>

AR A, IR At 5158 fir & ST RSO 2 MR AR R R, T s

modelerclient @ "C:\Program Files\IBM\SPSS\Modeler\nn\scripts\my_command_file.txt"
4 SO AT UL & JE RTAE B St iz N E W T A HAR R, JF e AR &S 17, flan:
-stream report.str

-Porder.full_filename=APR_orders.dat

-Preport.filename=APR report.txt
-execute

M EAFIG] 2 SO, 0 R DL B -
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I

o AREAEMACHFH#R A @CommandFile &%k,
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£7E BESERR

EBHSEEEfE

ATDLUAT AL W, BT AR TR E 2 AR E ., R g e A SR E A, e g, R A
THBERT, G5 0] 0 S SR e 7 s, A R M D R A, 9 T e A B Y AT
. B ARE P A A0 2T FE X HE S 59 s RS ) Vi nl g, b nT DL 2 R Oy S R .

o LB EABRRY (AZEFR) . HXEZEA, s JRERE) ]

o ATAECHE RS R Y Y SUE .

* Ja3h IBM SPSS Modeler I, 5 fJ@ ik n] AfEar 21750 (A -P #Ric) #Y—&B).

£ IBM SPSS Modeler FJIZA G £ T3, 5 Gl w828, AT, IR T
MY JEPE.

ARMARGIESEAFER, ESHHAREIES]
BHiEE

Al RUE R B85 B R
OBJECT.setPropertyValue(PROPERTY, VALUE)

By

OBJECT.setKeyedPropertyValue(PROPERTY, KEY, VALUE)

Al R R S8k 2R 0 SR

VARIABLE = OBJECT.getPropertyValue(PROPERTY)

By

VARIABLE = OBJECT.getKeyedPropertyValue(PROPERTY, KEY)

o OBJECT 277 simthaithi, PROPERTY &Ik 5| AT SURPER &FR, M KEY ey m vk ny s, o,
PITNEE AT AR IET S, AR E A E S A FBOIMRE T 8dad 08 Age FE:
filternode = modeler.script.stream().findByType("filter", None)

filternode.setPropertyValue("default_include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

ATLLEE A findByType(TYPE, LABEL) eR¥##k IBM SPSS Modeler H{fi HAYHTA T A, M £ /D4 E — 4
TYPE mf LABEL,

SHiLEE
WA S 2 A T, S A AT OO By U
o IEEE AN AR SRR G, DI i A

o PRMt Bl — AR E 2R PER RS L
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SR EFOMSEEN

WA FMIADSE Z 4 AT A (2B < P8R X85 ) B BIAS O Z0 S A R 2 119 &85 M DA E Ay, 3
SO fE PR ELLL BRI B AR AR R I AR, M APREROA . N, TRl A, BN TR (FEHE
B BT HEOCHPIRE, ERIHRGEE, “diE A BT R (RIS FEN tue ibJE false) fEif—1
SR, HEEREATRE (Bd5E R ) True 5% False, RN« yg 35 & mynode (7EH FiF) A — %N FHLH

TR EOCHIMT B, AR Age (WML include HY(HIXE A False, UNTFFn:

mynode.setKeyedPropertyValue("include", "Age", False)

HZEZEREMEAL

XFHFZHAmE, B —-KEETRdif 2 M EE. IR hEEEGHTHIRER.

FERLSRE LT, Gt mrEm e s 2s, /meiunT:

sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age", "Ascending"], ["Na

, "Descending"]])

it ALIE YRR 75— MEBAET, AR RRRE Z AT LHEZ T R BB E A TR, AT, 2EES
BAERET A IR BRI T 2/, FESRPRCEPTARIE, Bhn, AnRAERE SR E ST A 3 P A i
BTBUEME, BT AEN N ES AR AR -, B REOR AR, U2 EES T E s, A
(AR B Al A i B R A, AT aBE S b ] R A

]

FETT SBPEEE EAR S, TR S BT A AR,

238 WL AR A S

®E BX

abs & T B

len K

R/ /A
1IN o ONI]
correl FHE

covar IViES
num By e
pet Horte
transp 70
xval A2 HAIE
AR TR (P )

T 2R E R

F£ IBM SPSS Modeler H ] DLy s AT s AN @k, BUSRm e MR AR 1) — 300y, R4 JRSIRIA
) —#ko HLASER 2 NSRBI B it sSUE RBA 19 —#0r DL SCBLE AR A RS 22 B shit, ion
AR T N RS HORSEE W RSB MR RN KT, RIS ] R A AT ORI 3 1BM

SPSS Modeler. ¥ -p ZHUAVEAir 47 A9 — B0, mT DU AT 4 R B B B

# 39, TR EE R B

Bt

FX

s.max_size

WRAEN R s BJEME max_size .
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39, AR IR R (£5)

B ax
s:samplenode.max_size WREIT S s MR max_size, HAFUMFEAT M.

) W LB S FT PR A E Y max_size (HFEH—FE
:samplenode.max_size -

AL .

s:sample.max_size WREN s RYJEME max_size, HLHUNFEAT &,
t.direction.Age W BB RRIT Mt RS T B A,
:.max_size ok JEIRARAE ek MITHR E T R A4 T T,

i s:sample.max_size RN — @ BE5 7 s BB K.

Pl t.direction.Age iR, LA GURTELLHA BAE R B AEE R 2R, HAREIE A F0R B T4 R,
WREIET N Al & 83 Bt

T R EMELR

AR SHEAE O - AEREE, JFEEN R EA IR, IR DU — B (BFE, fnak
BCEAT R, TEXAMENLR, R BN RSO IE R, IR Tk AT R e R, BN R AR,
A, @ @D T LIS E S M RTE R, #tn Discard, PairAndDiscard FI IncludeAsText, I %
HAb(E, ISk EMER, Wil RAME true =% false SRR EREEME., (REEBRBARHWT
Asfd:  Off, OFF, off, No, NO, no, n, N, f. F, false, False, FALSE &% 0, {H7FF-LLH5H T30z M
& es, A A EES R tue, (EH] true 1 false WPORFE—ZCK o] Ik RIRE. ) TEARTSENS
R, BRI G EEIEAT T U, JRg T R R A L

NHET BN
IBM SPSS Modeler )1 & B HEI I F A7 47715 4 (85 40 .

F40. KNI E R

BHERR HiEzR R
use_custom_name ik
name FH T2 B I A o B AN R A FR A R e
(B EUER) .
custom_name Fr 658 1 R E i 44K
tooltip FAFH
annotation FrEER
keywords FF i 58 5 0 G IR A S B 9 R i A5 H Ak
W (U ["Keywordl™ "Keyword2"]
).
cache_enabled ik
node_type source_supernode PG AT R Ra e, win, Bk
process_supernode FEAFRE R S (I real_income )
terminal_supernode Z A, & LL AR E R ()
BT AT A G I 46 E AT 44 |userinputnode B filternode ) .

R SR A ST S R S i, AR E S, W 285 TN 19w, (b
[t o .

%7 % @EsEEE 63
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% 8 T iiEM

i ARG S ] AR 2 A . BRI E I, L B AT Ok DL R AR

stream = modeler.script.stream()
stream.setPropertyValue("execute_method", "Script")

Nl

TRUBMEAT SR P A L W0 B B3 IIAS ol 1 S — A7 il

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "\n\nThis stream is called \"" + stream.getLabel() + "\" and

contains the following nodes:\n"

for node in stream.iterator():

annotation = annotation + "\n" + node.getTypeName() + " node called \"" + node.getLabel()

+ II\IIII

stream.setPropertyValue("annotation", annotation)

EARRGIE T SRR T RSP ARSI, FREIZIERE AR, AR AT

o

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to K"
variablefile node called "DRUGIn"
neuralnetwork node called "Drug"
c50 node called "Drug"

filter node called "Discard Fields"

it Y EAR R L TR 3R,
F41. i)V

EEAFR S EEil e
execute_method Normal
Script

© Copyright IBM Corporation 1994, 2016
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41 Bt (£E).

BRI

HiiRza

Bt

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD. YYYY"
"DD.MON. YY"
“DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
“DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

date_baseline

7

date 2digit_baseline

7

time_format

"HHMMSS"

n HHMMII

IIMMSS n
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)s"

time_rollover

&

import_datetime_as_string

tris

decimal_places

L/EH

decimal_symbol

Default
Period
Comma

angles_in_radians

A

use_max_set_size

trik

max_set_size

27
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#41. gt (£E).

BEaR HiEzn Bt
ruleset_evaluation Voting
FirstHit
refresh_source_nodes PRk FTAET AT B SRR A
script FAFE
annotation FAHR
name F R HEEE R AR
TR AR, G AZA AR
.
parameters 8 FH U 1 T D B 3fe B ST AR R 1
S,
nodes HAHEES W T,
encoding SystemDefault
"UTF-8"
stream_rewriting i /R (8
stream_rewriting maximise sql i R
stream_rewriting_optimise clem_ AR 16
execution
stream_rewriting_optimise_syntax_ AR
execution
enable_parallelism Vit
sql_generation i 2R
database_caching i R ME
sql_Togging A7 R ME
sql_generation_logging Vi e
sql_log_native i 2R 1E
sql_log_prettyprint 7 R M8
record_count_suppress_input A R H
record_count_feedback_interval L2374
use_stream auto_create node_ iR WRAEA wue, ABAKEA R E T UM
settings B, 15 PR P e,
create_model applier for new_ Vi ISRE N tue, HEATERLIFHE 25 B 2
models HRIRL I HCA AL T 15 SR 2 1Y 5B
T, KRR — BT RO B .
R EME AR IBM SPSS Mod-
eler Batch V15, AR i 20 HBAE JEIAS
R IR Y 5.
create_model_applier_update_links |createEnabled SE SCHE SIS IR Y F #5191 e Y
stz e
create_source_node_from builders | 77/%(E WRAE A true, ABALEIRAGFE RS A BT

{1 P L I LB AL T SRS Y
BEREIS, HEUS I — B IECHT A

% 8w w67



41 Bt (£E).

iR HiEzn e
create_source_node update Tinks createEnabled SE SCHE S MR T s I 6 A ) B B
createDisabled Binl
doNotCreate ’
has_coordinate_system TR 1E WIRA true, EXTEEATN FALIRR.
coordinate_system FH T A5 AR FR Y 24 K.
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£ 9T FraEM

BT RAKEN
AT 00 TR EE R R, 5 T 00 A L A 15 .

1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

Bl 2
LRV AS (B 4 5 Bl SO B & R 2 AT AT B 97 BL Region,

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full _filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat square_brackets as lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom storage type", "Region", StorageType.LIST)

# ...and specify the type if values in the Tist and the Tist depth
varfilenode.setKeyedPropertyValue("custom Tist storage type", "Region", StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom 1ist depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...
varfilenode.setKeyedPropertyValue("measure type", "Region", MeasureType.GEOSPATIAL)
# ...and finally specify the necessary information about the specific
# type of geospatial object
varfilenode.setKeyedPropertyValue("geo_type", "Region", "MultiLineString")
varfilenode.setKeyedPropertyValue("geo_coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate system", "Region",

"ETRS 1989 EPSG_Arctic_zone 5-47")

42, PP R AIEIE.

BHEAR HEzER EEER
direction Input B n A SR,
Target PR W
Both NODE.direction.FIELDNAME
None 7 OBUTE, ARHEFEM A In FI Out. FERGRMRA AT HE
Partition TBUIH X 3 S 1 57 FF,
Split
Frequency
RecordID
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BERR HEZER B#R
type St (Range) TR, WMRKKEE R E A Default, MEAKERR A
Flag values @M% E, WNHK value mode & & Ky Specify,
Set LK EHE N Read, UWIH value mode BiXE N Pass
Typeless B Read, WSAE¥ANZ type BLE HIFZ,
Discrete PR W
Ordered Set NODE.type.FIELDNAME
Default
storage Unknown FBAAME ISR R et
FHE& iR
B NODE.storage.FIELDNAME
S
Time
H
Timestamp
check None FBSRI G R A S SR
Nullify JHEAE A
Coerce NODE.check.FIELDNAME
Discard
Warn
Abort
values [value value] T ESR () FRmE, #-NREME, B4
BRAE. T (£6) FEB, WHRENMAME. X5
HFRME, H—MENE false, Ja—MENE true, KE
ZEYER Bl value_mode JETEBLE K Specify. FHifdsie
R4 5 2= i 28 — A E A E R, mlan, R —AME R
string, AP AfFHE#RIG X E N String,
iR
NODE.values.FIELDNAME
value_mode Read i T — R AL d rp B E A BUE A T L
Pass JEAs =
Read+ NODE.value_mode.FIELDNAME
Current HE, REEREMNE HERE N Specify; BEMFEEHE, &
Specify %'E values JE1H.
default_value_mode Read 8 Mg Lk B A 7 B,
Pass ik
NODE.default_value_mode
1ZiX BT DIl FH value_mode J@ME, R4S EFEETE
2
extend_values trdk % value_mode BN Read WHHEN I, &K T WP HE
BER MEMEE A 7B, ®E R F WEFIAEINR
T EUE.
iR
NODE.extend_values.FIELDNAME
value_labels F e T e EAr%, R, LTI EH.
enable_missing trak MUCEA T, IR AW X BB A B

A
NODE.enable_missing. FIELDNAME
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F42. W EAIEYE (£5).

BiEaR £S5l JER e pu
missing values [value value ...] 8 FOR BB R R
JiwEAs =

NODE.missing_values.FIELDNAME

range_missing

S

BCEPEBCE N T I, $8ERE A TBUECRE (FH) 8
.

Pk

NODE.range_missing.FIELDNAME

missing_Tlower

FIFH

range_missing 4 true B, MCJEPEREEHETERE TR,
P
NODE.missing_Tlower.FIELDNAME

missing_upper

range_missing 2 true [, IHJE TR E B (0 A _BRR.
HlEs
NODE.missing_upper.FIELDNAME

null_missing

trik

LULRIEBCE A T 0, . (EARRMEH ERA $nulls
Y ARE AH ) FoRRRAA.

Pk

NODE.nul1_missing.FIELDNAME

whitespace_missing

triEs

HZEEREN T 0, EEEn (S, FIRARAT
) (ECRS B0 BER K AR

Pk

NODE.whitespace_missing.FIELDNAME

description

FIFH

T8 % 7 Brbn 4 sl i i

default_include

tris

JATF 1872 BONAT MR AR a2 i I8 B B4 s
NODE.default_include
A l:

set mynode:filternode.default_include = false

include

i

A48 B E R L I A B S e
NODE. include. FIELDNAME.

new_name

string

measure_type

Range / MeasureType.RANGE
Discrete /
MeasureType.DISCRETE
Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
Collection /
MeasureType.COLLECTION
Geospatial /

MeasureType.GEOSPATIAL

IR IERRLIT type, FAETR T @ X 55 BOCHAT I
i, XAFET, @rLAm Python JEIASZMifiI-HAY setter pRi%K
fEif Hip — 4~ MeasureType fH, T getter %R A
MeasureType f{H.
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Fe42. W EAIEE (£5).

=

HiiRzea

B

collection_measure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG
Set / MeasureType.SET

XU T B (IRIEN 0 #I513R) , el e S A
{E SR I A 0 L 2R,

MeasureType.INTEGER

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP
List / MeasureType.LIST

OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
geo_type Point XoF T 2 A A B, b e v SO B AR R 1 T
MultiPoint [T G2 2T, 3 1% 5 8 1 1) 3R V% B PR R — 3K
LineString
MultilLineString
EQubi
MultiPolygon
has_coordinate_system M5 (H XTI A B, MR SOEFBUE R H A AR &R
coordinate system string YT B A AR, R R SOEF B AR R,
custom_storage_type Unknown [ | BEEEFEIRIESMIT custom_storage, PRIy AT T LT B
MeasureType. UNKNOWN M A, IXHHET, AW Python FEIAZRHIHHY set-
String /| ter pR%UfE %P —4> StorageType {H, 1M getter #HZ%R [H]
MeasureType.STRING StorageType f{H.
Integer /

custom_list_storage_type

String /
MeasureType.STRING
Integer /

MeasureType.INTEGER

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP

XFHIRTBL, M SR AR R SE R (A AT 8 2L

custom_list_depth

bics 4

XFARTEL, SRR E T B IR

asimport B4

Analytic Server JEA# %A DIYE Hadoop 437 30 &% (HDFS) LizfTiii.

51
node =

stream.create("asimport", "My node")

node.setPropertyValue("data_source", "Drugln")
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£ 43. asimport JHE.

asimport it b6t iR
data_source T Bl IR 24 7%

cognosimport T =%

O IBM Cognos BI 75 i Cognos BI #idis & A Kudi.

il

node = stream.create("cognosimport", "My node")

node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/serviet/dispatch",

Tr‘ue’ n II’ n II, IIII])

node.setPropertyValue("cognos_package _name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].[BRANCH CODE]",

"[GreatOutdoors] . [BRANCH] . [COUNTRY_CODE]"])

£ 44. cognosimport 775 PE.

cognosimport 7=/ iR BEHER
mode Data BT A Cognos BI #ils (4 ) 24k
W& ,
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£ 44. cognosimport T 5B ME (£5).

cognosimport 5 B

HiiRzea

e ipes

cognos_connection

["string" flag," string",

"o

"string" ,"string" ]

XIEfE Cognos ik 55 a1 4nfE B YIRS

M. # A HM: ["Cognos_server URL",

login_mode, "namespace", "username",

"password"]

FHorp:

Cognos_server_URL J&f0 Y[ Cognos k4545

iy URL,

Togin_mode f5/52 5 Il 485, HAE N

true 5 false; HWIRREN true, HBANH T

YIFB R E R .

namespace #f & M1 T 55k M 55 45 1 22 4 AR SR AH

eI,

username F1 password & T &3t Cognos At

G5t P A Y,

YE A Togin_mode FYIEIR, & n] DL FHDAT

i

« anonymousMode, i 1n:
['Cognos_server_url', 'anonymousMode',
"namespace", "username", "password"]

« credentialMode, ffiltm:
['Cognos_server_url', 'credentialMode',
"namespace", "username", "password"]

e storedCredentialMode, fn:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Hrp stored_credential_name J2A7ifi e
Cognos FEIIE 1 £ 5,

cognos_package_name string BE B2 S AEA M Cognos A (1Y #
RFIZAHR, il
/Public Folders/GOSALES
i HEERIARL
cognos_items ["field","field", ... ,"field"] B AWM — A2 MRS 2R, FEHE
Wy [namespace].[query_subject].[query_item]
cognos_filters T SRR E Y W — A2 AR &
Fx.
cognos_data_parameters BIES BRI RS ERE, AR R TEE S S
W, HFAZAXMLLE S0, TEAFEAF RS
TSN,
#
[["paraml”, "value"),...,["paramN", "value"]]
cognos_report_directory FEB BENH  ARAS I SR s i Cognos B2,
4
/Public Folders/GOSALES
£ RAESHTAE.
cognos_report_name FH B ARYAR B AR AL E P AR AR,
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% 44. cognosimport T BN (£5).

cognosimport T S /E M HiRER EERR

cognos_report_parameters b Rt SHAE, < BIRME NIRRT S M, JF
HEZAXPEES W, WA FAF R 1
.
e 2L
[["paraml”, "value"],...,["paramN", "value"]]

databasenode E¥

Pt A SR T ODBC (FFRGUE R R ) A PR A AR 1 ({34 Microsoft SQL
Server, DB2 fll Oracle %4 ) h & ABIRE.

il

import modeler.api

stream = modeler.script.stream()

nnode = stream.create("database", "My node")
node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")
node.setPropertyValue("datasource", "Drugln db")
node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")
node.setPropertyValue("tablename", ".Drugln")

#45. databasenode JE1E.

databasenode B HiEsn Bl

mode Table B OIAT G RESE AT, RN Table HHEFVEUEF
Query %, Bl SQL RAEM Query A IMULE B

JE.

datasource T AT (AWESH NHNER) .

username AR B EEEAERE (ESRTHIER) |

password FAFH

credential FAT IBM SPSS Collaboration and Deployment Ser-

vices HHAFME I TEIERT 28K, A DG FH R 1 Sl AR
# username Fll password @M. FEIFRY P & HI
B 5 U ) B30 T T 8 10 P 42 R L A T

fic

use_credential WE N True ¢ False,

epassword FrF oA gt A, DA I A o s 2 2
I

HRELEL, HSRE 45 U 1 RN
it o [ FESATIE], st HE,
tablename FAFH B[R] ) 44 FR.
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# 45. databasenode JEME (£E).

databasenode B iR B

strip_spaces None T I FAT H R g R R A S A 1 5 I,
Left
Right
Both

use_quotes AsNeeded 6 B I R AR, REE R A 4
Always SIS (Fan, dniax 88 24 Fr A 3 2 4% sl bn
Never )

query Fe o B S AT XTI Y SQL S,

£ W datasource JEIETFMIEIRIE AR E T — N, A (BARCERS?) SN RIZ, IRAEAT
fifi FH S RHL G 5 48 208 HAE A7 AF S g 70 B, flam: "{\"db2v9.7.6_Tinux\"}" m{ "{\"TDATA 131\
"I, BBAN, IRZK datasource FEAFHE MG S HAEESEER, WHHHR: "{\"SQL Server\

",spssuser,abcd1234,false}".

i W datasource JEYEH BRI A AR A AR, B ALE AT LLEA T S 2 B Rd I R AR

datasource, username Al password ZE4&%/NJ@E M

F 46. databasenode JEVE - 5 E T HAEE.

databasenode Bk iR BEHA

datasource FLFE #% 2
[database_name,username,password[,true |
false]]

B Ja — SRS G N B RS G A, R
B HB N true, K TEM M Z B S UEAT

ISR AR R DR, R s S R, R HAR R e P 2 S, IR A username B pass-
word JE Mk,

datacollectionimportnode E¥

: Data Collection H(Jf 5 A S ALY 1145 1 75 I Data Collection BN 5 A RUE.
A4 Data Collection 4l 4 71 it AL 1 45,

-

il

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")

node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source type", "File")
node.setPropertyValue("casedata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("import system variables", "Common")
node.setPropertyValue("import multi response", "MultipleFlags")
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% 47. datacollectionimportnode &1k

datacollectionimportnode Elf HiEER BlEA
metadata_name FIT MDSC KJ£FR. Feik{E DimensionsMDD &7 b i
FA#RE Data Collection JUEUHE CHY. HALATREM
B 45
mrADODsc
mrI2dDsc
mrLogDsc
mrQdiDrsDsc
mrQvDsc
mrSampleReportingMDSC
mrSavDsc
mrSCDsc
mrScriptMDSC
FORME none /R AFFAE MDSC,
metadata_file FA T8 0B 1 SO 2478
casedata_name FHE CDSC &%k, W] REMY(E 45
mrADODsc
mrl2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc?
mrSavDsc
mrScDSC
mrXm1Dsc
FFGRfE none /R AFF{E CDSC,
casedata_source_type Bl fgi CDSC Mz,
File
Sk
ubL
DSN
casedata file FLFH ¥4 casedata_source type A File I, HEAFEE
A8 I Y SO,
casedata_folder FAT 24 casedata_source_type A Foder I, HS438
L SR Ry SCE
casedata_udl_string FF 24 casedata_source_type A UDL B, HB24 R4
T ZEAR VRS OLD-DB 4 F4F .
casedata_dsn_string FIF 24 casedata_source_type iy DSN, HF2 A%k
Jif5 € ODBC #3FATH.
casedata_project FIF M Data Collection HH & Hr i35 HUW I8 Hdfe ik,
AT DU A TR R, X T BT A At ) 00 00 £ %5
WAL, PO R
version_import_mode ATl JE SRAAE I T7 =,
Latest
Specify
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% 47. datacollectionimportnode JEVE (£E).

datacollectionimportnode Ef HiEER e 2 pus
specific_version FATH 24 version_import_mode K Specify B}, HAE
MBS S BIEE HY R AR
use_language TR TE U A 48 2 15 5 AR
Tanguage FrFE 4k use_language [{H R True, HS4E LFA
N R AW T =R AR TINASE S/ TLE
R — ] A,
use_context FFE ENRBRNSF AR ERN ETFX., E RO TR A
500 R AH S IR AR,
context FAFH ME use_context HIMEN true, IF45E LFEAT
i, PRBE R R S Hh i B — AT R
use_label type FRF FE SR Y 5 S8 EPRE A,
label _type T R use_label_type BY{E N true, APAE LES
AN MIFRZET, FR 2 2T 1Y 2 8 1) 5 v ) 3 —
A AR T,
user_id T Xof T Bk W AUE SR I B e, T DU LT Ty
) BCHE R P A TR 4 .
password FIFHR
import_system variables wH REER AN ARG A &,
None
ATl
import_codes_variables i
import_sourcefile variables i
import_multi_response MultipleFTags
Single

excelimportnode B4

Excel S AT S0 M Microsoft Excel D) xlsx CF& =S AEIE. AFEIEE ODBC £IEIH.

el

FACEDE

il

#To use a named range:node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")
node.setPropertyValue("use named range", True)
node.setPropertyValue("named range", "DRUG")
node.setPropertyValue("read field names", True)

#To use an explicit range:node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file type", "Excel2007")
node.setPropertyValue("full filename", "C:/drug.x1sx")
node.setPropertyValue("worksheet mode", "Name")
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node.setPropertyValue("worksheet name", "Drug")
node.setPropertyValue("explicit_range_start", "Al")
node.setPropertyValue("explicit_range_end", "F300")

2 48. excelimportnode & 1E.

excelimportnode JEff HiRAR B
excel_file_type Excel2007
full_filename T FERESE A (AR |
use_named_range TR 1E BA M EMEE, RN true, ALK H]
named_range JEMERFS EIBIGEM, (H 28 H Al T
E e e
named_range FrFE
worksheet_mode Index 808 R Il R T | ARk E L TAER,
Name
worksheet_index B BN TAERMRSL, RIS D TIERR
5180, HOATAERNRTIN 1, RILEHE.
worksheet name T BRI T AR SR,
data_range mode FirstNonBlank T 72 1 T A 7 3K
ExplicitRange
blank_rows StopReading 24 data_range _mode 4 FirstNonBlank W}, 57
ReturnBlankRows AT T L
explicit_range_start FAFEE ¥4 data_range mode N ExplicitRange W}, #57&E
8 I [k L
explicit_range end T
read_field names Vi TR B SR A K A0 YU R Y 58 — AT AE =B (31))
B,

fixedfilenode E4

= P RE SO N RE T BOCAR SO (R, SR BORBEAT RE S, T2 TR — (7 BT8R B
e FERRE ) - AR, LA AR B s s A7 e 2 DL R 5 Bk A7

Nl

node = stream.create("fixedfile", "My node")
node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node.setPropertyValue("record len", 32)
node.setPropertyValue("skip_header", 1)
node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9, 10], ["Cholesterol",
12, 221, ["Na", 24, 25], ["k", 27, 27], ["Drug", 29, 321])

node.setPropertyValue("decimal_symbol", "Period")

node.setPropertyValue("1ines_to_scan", 30)

% 49. fixedfilenode J&1E.

fixedfilenode Bt HiERR EtiER
record_Ten HF 88 B AL R P TR
Tine_oriented trak Bk 4510 % R AR AT AT
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£ 49. fixedfilenode JHVE (£5).

fixedfilenode E4 HERA e :3es
decimal_symbol Default T Bt I8 b B+ B2 R AT A 2T,
Comma
Period
skip_header HF 168 BAE R AL F IR AW AT R T 2% 51
bR,
auto_recognize_datetime trik B ETEIR A T2 A Shin iR B s,
Tines_to_scan HF
fields EES gitf ) k.
full_filename TR BB 2R (BIEES) |
strip_spaces None TESE AT Z 35 A B3 oo iy o RS A 25 4
Left
Right
Both
invalid_char_mode Discard B i AR 2 TCRCTFAF (2B, 0 BUSHT A
Replace FETRAERFR ) , BUNREE MR FRT 5B B
ToRCFAT.
invalid_char_replacement FIFH
use_custom_values s
custom_storage Unknown
FHH
By
54
Time
HHA
Timestamp
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£ 49. fixedfilenode JHVE (£5).

fixedfilenode Ef#

HiiRzea

s ipes

custom_date_format

"DDMMYY"
“MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD/MM/YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM. YYYY"
"MM.DD. YY"
"MM.DD. YYYY"
“DD.MON. YY"
“DD.MON.YYYY"
"DD/MM/YY"
“DD/MM/YYYY"
“MM/DD/YY"
“MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

AATEAEE TG ER T, BBk L
.

custom_time_format

"HHMMSS"

"HHMM"

"MMSS*"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)s"

HAERE T E RO LT, kA&
H.

custom_decimal_symbol

TFE

FAATESRE T A 00 R g .

encoding

StreamDefault
SystemDefault
"UTF-8"

T R SRR T7 15,
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gsdata_import T 5B

o P St B2 TR 604 T DR ] s ) K80 5 A K 42 9 2

£ 50. gsdata_import Ti 55

gsdata_import 5 /Bl iR EiR A

full_filename AR B AN SERE Y shp SO SO RRAZ,

map_service_URL F e i N\ B R ML I 45 URL,

map_name FAFH {2448 ] map_service URL ;I 200 40 & w56 IR 45
M T SO Je 26 14,

sasimportnode Ef%
SAS FANRTH SAS HdliF A E IBM SPSS Modeler H1,

il

node = stream.create("sasimport", "My node")
node.setPropertyValue("format", "Windows")
node.setPropertyValue("full_filename", "C:/data/retail.sas7bdat")
node.setPropertyValue("member_name", "Test")
node.setPropertyValue("read formats", False)
node.setPropertyValue("full_format_filename", "Test")
node.setPropertyValue("import_names", True)

2 51. sasimportnode &t

sasimportnode B iR JEHE2i::pes
format Windows BESASCFAE L
UNIX
Transport
SAS7
SAS8
SAS9
full_filename TR AR R4 (BRERAR) |
member_name TR TR E SAS ALf ST 2 AR LG,
read_formats trak M E A% S b O A X (N s AR
%) .
full_format_filename T
import_names NamesAndLabels TR ETE TR A% B A4 FRRIAR 25 1 07 0%
LabelsasNames
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simgennode E4%

Y, S G BUA Dy s e s AT B R RIS 20 S AR e, X TR A A

R O AR T — b OB R RS E - BT R B G A Sk TR AR O
B
FAAEATERERI IS BL, BT G PSR f) 45 SR AT PF A IR 3 .

2% 52. simgennode J& .

simgennode B HiEER e 2737

fields git bk HE R

correlations gt R WS R
keep_min_max_setting M7 N

refit_correlations M5

max_cases By f/ME 1000, FRAE 2,147,483,647
create_iteration field Vil

iteration_field name T H

replicate_results TR 1E

random_seed k37

parameter_xml T U7 BB AR [ 240 XML

fields 75l

PUR R R SRR R ZE A LA 2 4

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

1
distribution J&431i PRI, BLAFRE R E & EELAFRMEXT PR, B4 LR85 e S
[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min","1"],["max","2"11], "", ""11)

i, FENE T A SR A A A B, AT DU DT AR

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)
simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],
[Ilpr‘obll’ 0.7]]]’ IIII’ IIII]])

T AR PAZEC n A prob, T I AN SCR R/ IME AT R AR, PRI P SRR D A H R
fit,

iE BAREEERE distribution; ATLLKAHYS fields J@dk—fli il

VI Faflg s Al Gem) o K268, i5EE, [B{EFE NegativeBinomialFailures fil NegativeBinomialTrial
R thresh,

stream = modeler.script.stream()

simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2","2"11], "", ""]
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binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ,"1"],["prob","1"111, "", ""]
categorical_dist = ["Field3", "String", False, ["Categorical", [["A",0.3],["B",0.5],["C",0.2]]], "", ""]
d.ice_d.ist = [llF.ie'|d4ll, lIRea'lll, Fa'lse, [IID.icell, [[lllll ,“0.5“],[“2“,“0.5“]]], IIII, llll]

exponential_dist = ["Field5", "Real", False, ["Exponential", [["scale","1"]]1], "", ""]

fixed_dist = ["Field6", "Real", False, ["Fixed", [["value","1" 111, "", ""]
gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale","1"], [“shape“ 1111, ", "]
Tognormal_dist = ["Field8", "Real", False, ["Lognormal", [["a","1"],["b","1" 111, o "

negbinomialfailures_dist = ["Field9", "Real", False, ["Negat1veB1nom1a1Fa11ures" [["prob","0.5"],["thresh","l"]]], o
negbinomialtrial_dist = ["Field10", "Real", False, ["NegativeBinomialTrials",[["prob","0.2"],["thresh","1"]]1], "", ""]
normal_dist = ["Fieldll", "Real", False, ["Normal", [["mean","1"] ,["stddev","2"]]1], "", ""]

poisson_dist = ["Field12", "Real", False, ["Poisson", [["mean","1"]]], "", ""]

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN","[1,3]"] ,["END","[2,4]"],["PROB","[[0.5],[0.5]]1"]]], "", ""]
triangular_dist = ["Field14", "Real", False, ["Triangular", [["min","0"],["max","1"],["mode","1"]1]], "", ""]

umform dist = ["F1e1d15" "Real", False, [ Uniform", [["mm" ulu] ["max" ||2||:|:|:| wn uu]

we.lbu'l'l d.lst = [ F.Ie'|d16ll IIRea'lll’ Fa'lse’ [Ilwe.lbu'l'lll’ [[II " IIOII] [Ilbll "1 II] [II " Illll]]] IIII’ IIII]

simgennode.setPropertyValue("fields", [\
beta_dist, \

binomial_dist, \
categorical_dist, \
dice_dist, \
exponential_dist, \

fixed dist, \

gamma_dist, \
Tognormal_dist, \
negbinomialfailures_dist, \
negbinomialtrial_dist, \
normal_dist, \
poisson_dist, \

range_dist, \
triangular_dist, \
uniform_dist, \
weibull_dist

1)

BN
DA AR AL 145 H L 5 5

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

1)

MR LLENT +1 5 -1 ZE WLy, Eonr DRSS & 248 AR Gk, AR ARG E AR S PR AR BB
0. WCPRAFAEAEMARMTFB, IMARIZTEACHEAERE (23R ) B BMCHE, DI @SR BRIz,
FFERAT B, IR AToE AT AL

statisticsimportnode &%

P ¥ IBM SPSS Statistics {435 S IBM SPSS Statistics i FHf) .sav ST R L X AR AFAE IBM SPSS
( :1 Modeler H i B A7 SCAF (CHAR BT FTAREIAS X ) 132 O8N,
N

AR SIS R, 520 281 U 1 statisticsimportnode Jg 1k 1 |

tm1import ¥ 5B

<j IBM Cognos TM1 5 5 Cognos TM1 %k -5 A % i,

i
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£ 53. tmlimport 1715 JF&PE.

tmlimport 5B HiEER B AR

pm_host string R V160 F117.0
FEML 4. #itn: TM1 _import.setPropertyValue
("pm_host", 'http://9.191.86.82:9510/pmhub/pm")

tml_connection ["field","field", ... "field"] | iE: YR V16.0 F1 17.0
8 TM1 R55# s B s Rm . %
Jy: [ "TM1_Server Name","tml username","tml
password"]
#ln: TM1 _import.setPropertyValue
("tml_connection", ['Planning Sample', "admin",
"apple"])

admin_host string U V171 FE
REST API #3441 URL,

server_name string AU V171 TFR
M admin_host HHIEFERY TMI1 Al 55 &% 09 24 HK.

selected_view ["field" "field"] IFEME, HPaEITE TM1 Z24E580E £ N1ENE R
DU BN AR B S A B SPSS 1Y 2 4ERE SRR 1 44
k. @ltm: TM1 _import.setPropertyValue
("selected_view", ['plan_BudgetPlan', 'Goal
Input'])

userinputnode E%

AT AR T — T RIS Hln i T 07 30 - AT LMK TR e th vl DU S A %
PR TARE. B RAERA A, i, FEA B Oy A Rl AR e, BT T A

il

node = stream.create("userinput", "My node")
node.setPropertyValue("names", ["testl", "test2"])

node.setKeyedPropertyValue("data", "testl", "2, 4, 8")

node.setKeyedPropertyValue("custom storage", "testl", "Integer")
node.setPropertyValue("data _mode", "Ordered")
% 54. userinputnode J&TE.
userinputnode JE% ESG el EiERR
data
names T8 bR [ 4 5 0T A B 7 B 24 Bk B3R 1 &5 F 4k
custom_storage Unknown AT Bk ] 5 B i Y d
FRE
2
S5
Time
HE
Timestamp
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% 54. userinputnode JETVE (£E).

Bt

IRFEET Combined, A4V &M Kfe/ VK
(E A9 B AL AR A — ek, AR IE
FTEHANFBRPEMBENRM. WREETH
F, AN FCR I — 51— Ak AR
BB, AR AE T — N S F B
BRBAE, BN BT A B B D W B A
fH.

userinputnode Bt HERR
data_mode Combined

Ordered
values

i WJEYEC H userinputnode.data Huft, [t
ANHEFRARSEAH H.

variablefilenode 4%

il

node

node.
node.
node.

node

node

node.
node.
node.

. “ARBSUETY RO H S T BRSO R R, B, OSSR E BRI T B, (B
5= A E R TAT RIS, B G T AT ] S K BEAR AU AR R B e i A T M A SO AR A

il

= stream.create("variablefile", "My node")
setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
setPropertyValue("read field names", True)

setPropertyValue("delimit_other", True)

.setPropertyValue("other", ",")
node.
node.
node.
node.

setPropertyValue("quotes_1", "Discard")

setPropertyValue("decimal_symbol", "Comma")
setPropertyValue("invalid_char_mode", "Replace")
setPropertyValue("invalid_char replacement", "|")
.setKeyedPropertyValue("use_custom values", "Age", True)
setKeyedPropertyValue("direction", "Age", "Input")
setKeyedPropertyValue("type", "Age", "Range")
setKeyedPropertyValue("values", "Age", [1, 100])

£ 55. variablefilenode J&1E.

variablefilenode Eff HiRER EiEER

skip_header T 168 B 20T TTL B2 M Y T 4K

num_fields_auto & H 3 E Aok I T B DR LT
FFIE,

num_fields HF Fahig e ARl R T B

delimit_space trak 2 SO T R S Bl I A

delimit_tab trid

delimit_new_line W

deTimit_non_printing trids

delimit_comma PR 2435 FUTE L R [R]I) FIAE + 2E  20  A F 5 BE SR
PFIF, 5 delimit_other & H K true, SRJGH
B @ MR I S E 0 AT

delimit_other prak FOVFE T EL A 1 R 46 A 5 2 AT

86

IBM SPSS Modeler 18.0 Python 7% E Sh1k45m



£ 55. variablefilenode JETE (££).

variablefilenode JEif iR R
other FRrH TE delimit_other K true B, & B HIE
FAE.
decimal_symbol Default 28 T B Db vy - 0 1 23 A
Comma
Period
multi_blank trid 1 Z AWM E RNy — DR — 2 R AL
i,
read_field_names trik e B SO 5B — AT A SRR 45
strip_spaces None TEE AT 3 A B8 v iy o RS BRI 25 4
Left
Right
Both
invalid_char_mode Discard BRI AP LT (S, 0 84 HIZ
Replace b AT A A ), SO E BT SR
e T RFAT
invalid_char_replacement FAFH
break _case by newline i T8 EAT ERAT ABATAE.
Tines_to_scan HF i AR ST R AT
auto_recognize datetime R TR ETEIR A 7 E bR H EAEN A,
quotes_1 Discard S N R G IR R U
PairAndDiscard
IncludeAsText
quotes_2 Discard 858 F A WG ST =,
PairAndDiscard
IncludeAsText
full_filename FHFH TSR (BREES) .
use_custom_values trk
custom_storage Unknown
FR &
B
S5
Time
HHE
Timestamp
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2 55. variablefilenode JETE (4E).

variablefilenode E4

HiRxE

BiER

custom_date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD/MM/YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM.YYYY"
"MM.DD. YY"
"MM.DD. YYYY"
"DD.MON. YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

FATHEGE 1 WA il 1 15 D0 i .

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

FURTESRE T 2 HiA7 S I 17 00 i A,

custom_decimal_symbol

TFE

FUATHERGSE 1 WA il 19 15 D0 i .

encoding

StreamDefault
SystemDefault
"UTF-8"

8 ARG TT 15,
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xmlimportnode Ef&

“XML #7957 506 XML A 8oa AP, /TR ASBASOr, T DL AR H P Ry B
AP, BT DU R AR B, DU MR B XML i),

il

node = stream.create("xmlimport", "My node")
node.setPropertyValue("full_filename", "c:/import/ebooks.xm1")
node.setPropertyValue("records", "/author/name")

2 56. xmlimportnode J&1t.

xmlimportnode E% bkl BHR
read single PR ARt S (Bl ), SERERTE
directory XML XA,

recurse i RERS AIMERIE € B EMWFATFHZEHM
XML 3CfF,

full_filename AR (hFF) B AN XML SCUFRY S8 B Ao
% (W% read = single) .,

directory_name T (F) BB FEA XML SCEERY H 058 B ik
BHAFR (WA read = directory) .

full_schema_filename A BN XML 54 XSD 5 DTD LR

SERPER RIS &, R A TILSE, BN
XML 5P B ),

records FF XPath 2k (fFlll, /author/name) , FLIE XiC
SRS, BIRAET OB R TR, # A
BB,
mode read PO AEAE (Bg) , sids e EiEpy e .,
specify
fields BSRAWMIHE (TRERAEE) IR, JIRBNE

Ty XPath ikt

dataviewimport {4
@ SO S SR P SR $ A TBM SPSS Modeler 1,

Nl

stream = modeler.script.stream()

dvnode = stream.createAt("dataviewimport", "Data View", 96, 96)
dvnode.setPropertyValue("analytic_data_source",
["","/folder/adv", "LATEST"])
dvnode.setPropertyValue("table_name", ["","com.ibm.spss.Table"])
dvnode.setPropertyValue("data_access_plan",
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["","DataAccessPlan"])

dvnode.setPropertyValue("optional_attributes",

[["","NewDerivedAttribute"]])
dvnode.setPropertyValue("include_xml", True)

dvnode.setPropertyValue("include xml_field", "xml _data")

£ 57. dataviewimport JH1E

dataviewimport JEft LR

EEat A

analytic_data_source string

T74itifE IBM SPSS Collaboration and Deployment
Services I BT ERAREIN 5. B0 AT MUAHY
PR AR AR AL,

["Object ID","Full path", "Version"]

table_name string

S M S LI P A R LR . R A i
fubRE £ A, EulLEE M IBM SPSS Collabo-
ration and Deployment Services Deployment Man-
ager Z AL BOM HAEC R zip 194
ff) default.bom SCAFHBEATAERARARMAL, BRAE
BOM (. IBM Operational Decision Manage-
ment (iILOG) "3 A, 75 AL 44 W 47 ZAH ).
["Object ID", "Name"]

data_access_plan string

FAT R A B A P 4 A 3 ) Bl v m) O 2.
["Object ID", "Name"]

optional_attributes string

A H HIRE PR 51K,
[["ID1","Namel"], ["ID2", "Name2"]]

include_xml M 516

MREAEFEAHAG XOM sEOEIEM 7, I8
28 True, BEIE(E A IBM Analytical Decision
Management (iLOG) ¥ 5i, WA IHEE N
false, Joi JHUGIRAT e &3 I 281 MEHL

include_xml_field string

fE include_xml $E'H A truel B NI F B 1) 4
FE.
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#£ 10 ¥ EXRFETREN

appendnode Ef&

’_\ SEIT ST ERZ AR, AN, AT LU TR S A S RUE P AR R A B SR L 4 B — .

(Fff

L

Nl

node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match_case", True)
node.setPropertyValue("include_fields_from", "A11")
node.setPropertyValue("create tag field", True)

node.setPropertyValue("tag_field name", "Append Flag")

% 58. appendnode JE 1.

appendnode JEi% iR B

match_by Position AT DAAR 3k 5 BOAE 3 il I b A A B B A EiH B b
Name B 44 R A B i 4R

match_case tris VEE 7 Br A2 BRI B X 40 KN,

include_fields_from Main
A1l

create_tag field i

tag_field_name TR

aggregatenode [E%

»

il

node = stream.create("aggregate", "My node")
# dbnode is a configured database import node
stream.link(dbnode, node)
node.setPropertyValue("contiguous", True)
node.setPropertyValue("keys", ["Drug"])

node.setKeyedPropertyValue("aggregates", "Age", ["Sum"

node.setPropertyValue("inc_record count", True)
node.setPropertyValue("count_field", "index")
node.setPropertyValue("extension", "Aggregated ")
node.setPropertyValue("add as", "Prefix")

LT 0K — FR B AT SR 0 i i BRI 1 i e %

s "Mean"])
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£ 59. aggregatenode JFE.

aggregatenode B HiEER BEHER

keys kS I AR BB B, Flan, iR Sex I
Region ESEFE, M Fl F S5XIE N 1 S ffi-n
— A E (UAME—HAE) #EA -l

ALK,
contiguous tris TSR R AR B R A A (] SRR P T SR A 4

B Clhn, R T B oA AT T HE
FP) o, BRI, XA B TR R R RE.

aggregates — P ratb @ s, B O AR R B B
DA R 3 5 I e =
aggregate_exprs W Et, WA RAEFER AR (GFE T E 4

FREGICEFREA) . fn:

aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX", "MAX('Na')")

extension FAEE MEEWILSFBIEEMHSEE (AT |
add_as Suffix

Prefix
inc_record_count Rk Bl AN B, BT BR E TR AL

LR T 20540 Ak,

count_field FIFE T8 ID R T B 4.
allow_approximation Vi TE Analytic Server HHATIL ST AT E TS
bin_count ki34 6 AR AL Bl A -Gk

balancenode El%

“EIREAY RO T A BRI S R BORFA, DL AR E B A, <RI Db A R IR AR E R HOR
@ RESAFGL A IC R o Y L,

il

node = stream.create("balance", "My node")
node.setPropertyValue("training _data only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])

% 60. balancenode JBTE.

balancenode /&1 Eime Rl B

directives MR HE 48 & o T B L i g5 ik g ok (S
TR RS |

training_data_only trik 1678 RBZ N GR B #4745, SR vh R e
PR B, R 2 R T,

B PR B LA A%

[[ number, string 1 \ [ number, string] \ ... [number, string ]].

92 IBM SPSS Modeler 18.0 Python MIZ %1 E 21k 147



E WRAERA IR T G 5 1 AT E, IR 2R XL AT B Z BN _E A SO\, M\ A [ I
WRATETAF, TR 2 B — 17

derive_stbnode B

7 s I TR SRR, 24P o I B T 2 IR, T DA 102
L) I A A 2

il

node = modeler.script.stream().createAt("derive stb", "My node", 96, 96)

# Individual Records mode

node.setPropertyValue("mode", "IndividualRecords")
node.setPropertyValue("latitude field", "Latitude")
node.setPropertyValue("longitude_field", "Longitude")
node.setPropertyValue("timestamp_field", "OccurredAt")
node.setPropertyValue("densities", ["STB_GH7 1HOUR", "STB GH7 30OMINS"])
node.setPropertyValue("add extension_as", "Prefix")
node.setPropertyValue("name_extension", "stbh ")

# Hangouts mode

node.setPropertyValue("mode", "Hangouts")
node.setPropertyValue("hangout density", "STB GH7 30OMINS")
node.setPropertyValue("id field", "Event")
node.setPropertyValue("qualifying_duration", "30MINUTES")
node.setPropertyValue("min_events", 4)
node.setPropertyValue("qualifying pct", 65)

F 61 = [l A BR ) 15 i Jg

derive_stbnode [E% iR EiR A
mode IndividualRecords
Hangouts
latitude field FE
Tongitude_field FE
timestamp_field FE&
hangout_density s g, WBM densities DT RARIGHE

Ll
fA.
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# 61 = Al AR 5w E T (2€)

derive_stbnode JET%

HiRER

EER A

densities [density,density,..., density] A LA — AT ES, lhn STB_GH8_1DAY,
i R T B B, AATERR . X T
geohash, WU ] GH1 #| GH15 H{E., *IT
temporal #R4y, TJ L H 51 {E:
EVER
1YEAR
1IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field TE
qualifying duration 1DAY WETFAF R,
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events R H/NARCEEE N 2.
qualifying pct e PRAT 1 5 100 Z [,
add_extension_as Prefix
Suffix
name_extension string
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distinctnode E%

IR A3 A A — R AME T B ROR T, B i A — D SR IR T A A SR A
=2 WEHRT, BEEE IO

il

node = stream.create("distinct", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("fields", ["Age" "Sex"])
node.setPropertyValue("keys pre_sorted", True)

# 62. distinctnode J&EME.

distinctnode B4 HEER e 2737
mode Include T UK 55 — S DXl sk AR T B i b, AT DA
Discard LI — FR XA E I AT AT B 52 0 SR A% A B e

it

grouping_fields V7S BT 1 2 10 o8 2 B AR R 1 5 B
jE: A IBM SPSS Modeler 16 2, RHE#Ef /R
.

composite_value il WHZ R .

composite_values e WER LT R4,

inc_record_count tris Bl — AN B, T BE E WIE A AR EGE
FILET 2055 A L%,

count_field TR 8 VLR B B 7R,

sort_keys ERAL R, £ M IBM SPSS Modeler 16 2, AH#Ef7fd HILE
T,

default_ascending trk

Tow_distinct_key_count trik 182 RAFAE D s st DL R/ s o 5 By b B e —
fH.

keys_pre_sorted pr B E H A A R B0 0 T A Il sk AE S A P 2 A
i,

disable_sql_generation iz

composite value J@ Ml

composite value J@MEEA DL T %
node.setKeyedPropertyValue("composite value", FIELD, FILLOPTION)

FILLOPTION [f#%=t% [ FillType, Optionl, Option2, ...].

7~

node.setKeyedPropertyValue("composite_value", "Age", ["First"])
node.setKeyedPropertyValue("composite_value", "Age", ["last"])
node.setKeyedPropertyValue("composite value", "Age", ["Total"])
node.setKeyedPropertyValue("composite value", "Age", ["Average"])
node.setKeyedPropertyValue("composite_value", "Age", ["Min"])
node.setKeyedPropertyValue("composite value", "Age", ["Max"])
node.setKeyedPropertyValue("composite_value", "Date", ["Earliest"])
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node.setKeyedPropertyValue("composite value", "Date", ["Latest"])
node.setKeyedPropertyValue("composite_value", "Code", ["FirstAlpha"])
node.setKeyedPropertyValue("composite value", "Code", ["LastAlpha"])

E TR R 2SR, XSk LIFIFIE R, flan:

node.setKeyedPropertyValue("composite_value", "Name", ["MostFrequent", "FirstRecord"])
node.setKeyedPropertyValue("composite value", "Date", ["LeastFrequent", "LastRecord"])
node.setKeyedPropertyValue("composite_value", "Pending", ["IncludesValue", "T", "F"])
node.setKeyedPropertyValue("composite value", "Marital", ["FirstMatch", "Married", "Divorced",
"Separated"])

node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Space"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Comma"])
node.setKeyedPropertyValue("composite value", "Code", ["Concatenate", "UnderScore"])

composite values J&EA B

composite values J@PEEA DL T A%

node.setPropertyValue("composite values", [
[FIELD1, [FILLOPTION1]],
[FIELD2, [FILLOPTION2]],

1)
ik

node.setPropertyValue("composite values", [
["Age" s [IIF.i Y'St"]] R
["Name", ["MostFrequent", "First"]],
["Pending", ["IncludesValue", "T"]],
["Marital", ["FirstMatch", "Married", "Divorced", "Separated"]],
["Code", ["Concatenate", "Comma"]]

1)

mergenode &%

y—¥ “BITT R AZ ALK, IO A A R s A T B A IOk XX T AR
> WEARR AR AEFA R, BN R 5 R A E WS AR V.

3§

il

node = stream.create("merge", "My node")

# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)

stream.link(salesdata, node)

node.setPropertyValue("method", "Keys")
node.setPropertyValue("key fields", ["id"])
node.setPropertyValue("common_keys", True)
node.setPropertyValue("join", "PartialOuter")
node.setKeyedPropertyValue("outer join_tag", "2", True)
node.setKeyedPropertyValue("outer join_tag", "4", True)
node.setPropertyValue("single_large_input", True)
node.setPropertyValue("single_large input_tag", "2")
node.setPropertyValue("use_existing_sort_keys", True)
node.setPropertyValue("existing sort keys", [["id", "Ascending"]])
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% 63. mergenode JETE.

mergenode JE iR BIEHER
method Order $6 58 VO SR 5 7 B T 2 ST R 8 91 s WU 47
Keys Gif. REHEN -SSR G IFTE  E
Condition S ARME R IC R, RN L8 5E SR IF & IF
Rankedcondition R B LG I F B TR K B
TR ATXE A HERR A AT DL AR i 1Y
JLRF X AT AR 224 DG WG T30 3647 HE
condition FLT IR method ¥ '& N Condition, 5EMHEHEFIC
SR,
key fields EZES
common_keys i
join Inner
FullQuter
PartialQOuter
Anti
outer_join_tag.n tris TEdLE YR, o 2 Ve RREE 2 A o R BRI
Z. R, TUHREZMRICH, PR R 1
VG S RS Y T S TR
single_large_input Rk TRERAUETIAMA, DI A4 A5 HAbS AAE L
HA — B 4 A (E.
single_large_input_tag FIFHR e BB AR M T RE R Y R AR E AR I 4.
WHER, RIS outer_join_tag JEIEAY
EWAARE (BRd 57478 ), FEOFET# HAgsE
— AN AR 4.
use_existing sort_keys tr HEMAEREGORE -l T BT HE

JF.

existing_sort_keys

[[’string’, 'Ascending'] \
[’string’’, 'Descending']]

T8 CHEP 097 B B HE R 7 1],

primary dataset FAFER U4 method % Rankedcondition, 7S Pkt
FEHARE. R LT LI S RRE A TR R A
i,

add_tag_duplicate T IR AE MR 735K Rankedcondition, Jf HIMIFZE H VY,
I HANSRAE B 5 I HE B2 60 5 0k B SR EA IR
ZANMAFE, B2k 8B EN & SRR
TEF B AR I F K AL,

merge_condition FAFH

ranking_expression FHrE

Num_matches B B3R 0] (4 UG it 55 %, JF merge_condition il

ranking_expression, f/IME N 1, FAAE N 100,

rfmaggregatenode [El%

Jo AR DL BCKs B A (D08 B 1 2 55 A BRBIR AL & i — 47, HLAZAT RS T A 1S R kol g5

@ FEA“ER, BFMET REM) (LA, EaTRERAE R il 5 8, MR A

(ORI, BT 5E LY 58 5 e LA B #6258 B Y

g A
S

A,
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il

node

node.
node.
node.

node

= stream.create("rfmaggregate", "My node")
setPropertyValue("relative_to", "Fixed")

setPropertyValue("reference date", "2007-10-12")

setPropertyValue("id_field", "CardID")

.setPropertyValue("date field", "Date")
node.
node.
node.

setPropertyValue("value_field", "Amount")

setPropertyValue("only recent_transactions", True)

setPropertyValue("transaction_date after", "2000-10-01")

£ 64. rfmaggregatenode JFE.

rfmaggregatenode B4 HERA B R
relative_to Fixed TREVHEA G A H .
Today
reference_date H#i {UAE relative_to Wt Fixed B A A,
contiguous trk IR EH BRI AT T BUCHE, AR A bR iR AR R
0 s — 2 AR R R T, R A5 e R 35 ] DA
TR AL 3
id_field FE B FB D APRIRGIE P R I3 5.
date_field FH T E R E RV W H 7 B
value_field FB 1878 1% T B ARV R L.,
extension FIH AR BodE E AR BUR 28,
add_as Suffix T8 E S 15 R BT8R ORI extension,
Prefix
discard_low_value_records tris Ja HIfi A discard_records_below ¥ H.
discard_records_below T WEVE RFM BUHEE, 38 — M R/ME, JUIETF i
H 22 G e (s A A PR . (6 802 5 i ik
value FBIHE.
only recent_transactions i Jo i A specify transaction_date &
transaction within Tast %%,
specify transaction_date ik
transaction date_after H HAEH specify_transaction_date WA R J, &
B 385 B BIDATE S A it 6 I 2 5 B e sk,
transaction_within_last HF HAEHEF transaction_within_last BfA W, 45
JE TSR X T DA N 8 A0 R A7 B Aok [l Y
FBE BN (R, M. A8i4E) , 7R A 3
ZJa WiE s g SRR 2 M,
transaction_scale Days HAHEF transaction_within_Tast BfA W, f&5
Weeks SE VT EARXE T DUF A R R H 95 B ik [ml
Months JRSRECR R (R, A, AE4E) , FERH
Years ZJE BE TR f S ERR or Hreh,
save_r?2 trak BoRBANE P AT 5 1 H .
save_r3 PRk HAE®ES save_r2 AW A, BRGNEFHE=A
AT o 1 H .
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Rprocessnode &%

WA SR ER R A, TR R ARH 1 O
( R ) IBM(r) SPSS(r) Modeler Jfi " 3R HCEHRH T80, &kl
4 Ja, ek [E E .
il

node = stream.create("rprocess", "My node")

node.setPropertyValue("custom _name", "my node")

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")
next_day<-day + 1

modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert datetime", "POSIXct")

7¢ 65. Rprocessnode J&TE.

Rprocessnode JE M HHELER Bt
syntax FIEH
convert_flags StringsAndDoubles
LogicalValues
convert_datetime i
convert_datetime_class POSIXct
POSIX1t
convert_missing s
use_batch size trid AR AL 2
batch_size integer 1o B SR AL B B T SR AR

samplenode E4%

CREATT RN TR R DR, SRR AR, WG R, REMAERYL (Gt ) B
(&}J A, RAER TR m PR AE L S AR e R AL s S A AT M A,
| —

Nl

/* Create two Sample nodes to extract different samples from the same data */
node = stream.create("sample", "My node")

node.setPropertyValue("method", "Simple")

node.setPropertyValue("mode", "Include")

node.setPropertyValue("sample_type", "First")

node.setPropertyValue("first n", 500)

node = stream.create("sample", "My node")

node.setPropertyValue("method", "Complex")
node.setPropertyValue("stratify by", ["Sex", "Cholesterol"])
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node.setPropertyValue("sample_units", "Proportions")

node.setPropertyValue("sample_size_proportions", "Custom")

node.setPropertyValue("sizes_proportions", [["M", "High", "Default"], ["M", "Normal", "Default"],
["F", "High", 0.3], ["F", "Normal", 0.3]])

7% 66. samplenode &1k

Systematic

samplenode JEf% YRR ek :3e
method Simple
Complex
mode Include FLAE B F FE0 R T8 8 ST k.
Discard
sample_type First TR .
OnelInN
RandomPct
first n k1230 H 45 5 7 B LRIk,
one_in n HF B n-1 DR EIRBEF — KR,
rand_pct T T B E TR A T .
use_max_size R Jit Fifd F maximumiscard_records_below 1%,
maximum_size 2 TRE AR S E S R A AR, Ik
TR JUARTEIR, [FILARE First F1 Include M2k
.
set_random_seed tRk Jo FREALRD T3 E
random_seed B 16 MERENLFR 71 A
complex_sample_type Random

sample_units Proportions
Counts
sample_size_proportions Fixed
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions 7
fixed _counts k330
variable_proportions FE
variable counts FE
use_min_stratum size trk
minimum_stratum_size E2378 B IHIUE 4 FEZR Sample units=Proportions 7
. FH I 16 T,
use_max_stratum size trik
maximum_stratum size HH YRR 244 Sample units=Proportions A"
7 FH I 16 T,
clusters FB

stratify_by

[field] ... fieldN]

specify_input_weight

tri&s
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£ 66. samplenode JHPE (£5).

samplenode JEt iR BEHER
input_weight FB
new_output_weight FH B
sizes_proportions [[string string value][string |1 sample units=proportions H
string value)...) sample_size_proportions=Custom, 5% ZTFBH
T e A YA
default_proportion T
sizes_counts [[string string valuel[string|[ s EEFERES IRV ASEH., LS5
string value]...] sizes_proportions (i ABAML, (45 E 1%L
[IEIHERS
default_count HF

selecthnode ¢

@ CHEFE T R IR RE A P B I R s A B T — R ik, BN, T DLBERE S E 4 B X A
KHILR,

il

node = stream.create("select", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

F67. selectnode J&E.

selectnode B4 iR BEER

mode Include ¥R AR R E S E IR,
Discard

condition FRF e (DEE ST REIdE U

sortnode E4
HEFE 7 SRR — BRSNS PP ST 0 AT 4

#>

il

node = stream.create("sort", "My node")

node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing_keys", True)
node.setPropertyValue("existing keys", [["Age", "Ascending"]])
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2% 68. sortnode JEME.

sortnode B4 HiEER R ESTPE

keys B7IES 6 58 FAE N HEFPKER ) F B, ARORAE E T, D
Sof A

default_ascending PRk T B HEF T

use_existing_keys trak fi8 € T 0 F LA C k7 7 B 1 e R S 40 Ak R

FERHERF,

existing_keys

WRECH P M F B AT m, M S
keys JatEAHIA].

streamingtimeseries 4%

0 2 IRF 18] PP 81075 AT A — A~ 25 B A Al I [8] P B R 0 L A7 PF 20
E SRR T SR TAE SPSS Modeler 55 18 RH ANHEREY AR a0 TS™ 4545,

2 69. streamingtimeseries &

streamingtimeseries B4

EiERA

targets

FE

Yt 3 ] 7 810745 g mT DA
— AW ZAHAR, AT LI
A=A B A AT B E o
DS, SR 5 BEAIAL
EYE. AXREZHER, W2

bl 145 B 0 A SRR A
[l

use_period

AR (H

use_estimation_period

AR 1

input_interval

None
FREN
T
R
A
J&
Day
1N

Hour_nonperiod

734

Minute_nonperiod

#

Second_nonperiod

period_field

FE

period_start_value

integer

num_days_per_week

integer
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£ 69. streamingtimeseries JHTE (££)

streamingtimeseries Ef#

L}

S

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

integer

start_hour_of_day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

EIES

output_interval

None
T
=g
A
&
Day
JINET
e
b

is_same_interval

18 3]

Notsame

cross_hour

AT ZRME

aggregate_and_distribute

BZES

aggregate_default

Mean
Sum
xE
mNME
RAE

distribute_default

Mean
Sum

group_default

Mean
Sum
RE
=/ME

RA(E

missing_imput

Linear_interp
Series_mean
K_mean
K_median
Linear_trend

k_mean_param

integer

%10 T OCREAE T SR
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£ 69. streamingtimeseries JEVE (%E)

streamingtimeseries B & iR
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal i
detect_outliers i
expert_outlier additive i
expert_outlier_level shift s
expert outlier innovational i
expert outlier Tevel shift s
expert_outlier_transient i
expert_outlier_seasonal additive s
expert_outlier_local_trend i
expert outlier additive patch s
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p integer
arima_d integer
arima_q integer
arima_sp integer
arima_sd integer
arima_sq integer
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant Rk
tf_arima_p. fieldname integer iER T e
tf_arima_d. fieldname integer ISR 2/ e
tf_arima_q. fieldname integer JHT e 5 R B
tf_arima_sp. fieldname integer iER 2/ e
tf_arima_sd. fieldname integer R
tf_arima_sq. fieldname integer BRI
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£ 69. streamingtimeseries JHTE (££)

streamingtimeseries Bt ] Br#R
tf_arima_delay. fieldname integer JHT e 5 pR
tf_arima_transformation_type. fieldname None AT 45 R 4R,
SquareRoot
Naturallog
arima_detect_outlier_mode None
Automatic
arima_outlier additive i
arima_outlier Tevel shift i
arima_outlier_innovational s
arima_outlier transient i
arima_outlier_seasonal additive Yy
arima_outlier_Tocal_trend i
arima_outlier_additive patch Vv
conf_limit_pct real
max_1lags integer
events FB
continue ik
scoring_model_only trik AT &R (K07 BEF
HIHIRRY,
forecastperiods integer
extend_records_into_future i R 8

%10 T OCREAE T SR
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£ 11 E FREFTRER

anonymizenode E¥

:\, “EEAAH ST e BN T BUEAE i R R 7 A, KT R ., R B AR oAt
(ﬂ}; F P A R (BIngE P AR TRANGE B ) MR, AR A A L

Nl

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")
node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)
node.setKeyedPropertyValue("enable anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set_random_seed", "Age", True)
node.setKeyedPropertyValue("random seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", True)
node.setKeyedPropertyValue("use prefix", "Drug", True)
node.setKeyedPropertyValue("prefix", "Drug", "myprefix")

2 70. anonymizenode J&E

anonymizenode E HiEER EE#ER

enable_anonymize PRk WEN True [, THIGEZFERAE B4 TAESHEHTE 41
CHIR T EE B )

use_prefix tris WEN True I, WERCIGEESHETE, W2KEHIZHE. &

Tl Ak s ik A AR B, LA T AR R X A E
Hh O 1% B R ) B

prefix string A2 TAE B e (B X EHE 1 SCASHE W i AR 2%, SR 48 e HoA
FEME, 2GR AT R %A (.

transformation Random i 7 M 2o B 4 vk B A ) B B A S O BE AL B 2 ] 7 1.

Fixed

set_random_seed Rk WHEA True I, 6 A E MR (405 transformation i
% 'E & Random) .,

random_seed B set_random_seed ¥X'E N True I}, BL{E HFEHLEHFI+-

scale number transformation B A Fixed W, MU TR R E", @W,
R ARREE R 10, HA]RES B0/ DLRE 6 i S

translate number transformation ¥ & &y Fixed W}, BU{H AT ¥, #WME, &K

et 1000, {E AT HE 28/ LUk fdi i
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autodataprepnode E'&

“HEERNER (ADP)” 15 i il M i Bl AR PUB IE, i th A7 7 (] B T RETE B 7 B, A

(3 T2 A D0 T IRAHT Y S v, o R O R R ROR SR PR AR, AT DR 58 2 A Sh ik T R
—— P A, AT S VR LT AL B B TT, 53 A w] DUFE R G IT B 008 S O AR i e B4 52

NECECE iR TS

il

node = stream.create("autodataprep", "My node")
node.setPropertyValue("objective", "Balanced")
node.setPropertyValue("excluded fields", "Filter")
node.setPropertyValue("prepare_dates_and_times", True)
node.setPropertyValue("compute_time until date", True)
node.setPropertyValue("reference date", "Today")
node.setPropertyValue("units_for_date_durations", "Automatic")

Z& 71. autodataprepnode J&1E

autodataprepnode B HiRER et 2ipns
objective Balanced
Speed
Accuracy
Custom
custom_fields tris MRy true, I RVFE R 21T 48 5E H bR
B, WATBAHALTEL Ry false, HR2HKE
il FH B30 SR Y AT
target FE ¥ A B AR B
inputs [field] ... fieldN] S T (3 P A A B e I 2 o B
use_frequency Rk
frequency_field FE
use_weight s
weight field FE
excluded_fields Filter
I
if_fields_do_not_match StopExecution
ClearAnalysis
prepare_dates_and_times trdks FEFIX A H H5 FR5 B g vl
compute_time until_date ik
reference_date Today
Fixed
fixed_date date
units_for_date_durations Automatic
Fixed
fixed_date_units Years
Months
Days
compute_time until time Vi
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£ 71. autodataprepnode JEVE (%E)

autodataprepnode [Ei§ ESIE el iR
reference_time CurrentTime
Fixed
fixed_time time
units_for_time_durations Automatic
Fixed
fixed_date_units Hours
Minutes
Seconds
extract_year_ from date i
extract_month_from date Yy
extract_day_from date ik
extract_hour_from time trids
extract_minute_from_time ik
extract_second_from_time i
exclude_Tlow_quality_inputs ik
exclude_too_many missing Yy
maximum_percentage_missing number
exclude_too _many categories Vi
maximum_number_categories number
exclude_if_Targe_category ik
maximum_percentage_category number
prepare_inputs_and_target ik
adjust_type_inputs ik
adjust_type_target ik
reorder_nominal_inputs ik
reorder_nominal_target ik
replace_outliers_inputs Rk
replace outliers_target ik
replace missing_continuous_inputs |frik
replace missing_continuous_target |f5ds
replace missing _nominal_inputs s
replace missing_nominal_target ik
replace missing ordinal_inputs s
replace missing_ordinal_target ik
maximum_values_for_ordinal number
minimum_values_for_continuous number
outlier_cutoff_value number
outlier_method Replace
Delete
rescale_continuous_inputs i

E

BN

=

FBHRE T AR
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% 71. autodataprepnode JEVE (%E)

autodataprepnode [Ei§ iR EEER
rescaling_method MinMax
ZScore
min_max_minimum number
min_max_maximum number
z_score_final_mean number
z_score_final_sd number
rescale_continuous_target Rk
target_final_mean number
target_final_sd number
transform select _input fields i
maximize_association_with_target s
p_value_for_merging number
merge_ordinal_features ik
merge_nominal_features i
minimum_cases_in_category number
bin_continuous_fields ik
p_value_for_binning number
perform_feature_selection ik
p_value_for_selection number
perform_feature_construction ik

transformed_target name_extension |string

transformed_inputs_name_extension |string

constructed_features_root_name string
years_duration_ name_extension string
months_duration_ name_extension string
days_duration_ name_extension string
hours_duration_ name_extension string
minutes_duration_ name_extension string
seconds_duration_ name_extension string
year_cyclical_name_extension string
month_cyclical_name_extension string
day_cyclical_name_extension string
hour_cyclical_name_extension string
minute_cyclical_name_extension string
second_cyclical_name_extension string
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astimeintervalsnode E4%

A6 R “Hs e ) ™59 2 P LACHi G 16 i) o 90 A P 20 Al 330 sl ) 0 e 1) 7 B, S 45 2 B v

(R R IET W,  AEDEI 4.
i

F 72, astimeintervalsnode &

astimeintervalsnode B4 iR

b
i

B AR

time_field FE

HAg sz AEST B, 127 BOKE iy s A
T AN i) DX ) AT B, A SRAE BEAL ] TR
BB, Mozt iy Bl el & 5.

dimensions [fieldl field2 ... fieldn]

KB B AR 7 BB AR A5 A ] P81,

fields_to_aggregate [fieldl field2 ... fieldn]

oK 40 B A B A 18]~ B S e R e AT
S, R MBI R I D g R S R R A A AR AT
TE, DI T A

binningnode E4%

il

node

node.
node.
node.
node.
node.
node.
node.
node.

n, FEA] DO E SR T B — A S A (FE R S BME 2 T i 22 ) 18 r 2K B,

<_?} AT R AR IAES (BUEEE) FROEE SRR A () FBL
Ly

T BRI AR S, RIVAT AR 0 ) A TR A A

= stream.create("binning", "My node")
setPropertyValue("fields", ["Na", "K"])
setPropertyValue("method", "Rank")

setPropertyValue("fixed width _name extension", " binned")

setPropertyValue("fixed width_add_as", "Suffix")
setPropertyValue("fixed_bin_method", "Count")
setPropertyValue("fixed_bin_count", 10)
setPropertyValue("fixed bin_width", 3.5)
setPropertyValue("tilel®", True)

£ 73. binningnode |

binningnode [Ei% b6 el e
fields [fieldl field2 ... fieldn] | Fe¥effef)iEs: (Bl FB. FTRIEM X £
BT,
method FixedWidth T AT B as (R0 iE 7 5 sy ik,
EqualCount
Rank
SDev
Optimal
rcalculate_bins Always 8 58 S BEUCAT 9 s N T T T SR AR - il
IfNecessary AR RITAE, RO B A B B 2 F
AT EL 7R AT 7 23 4.
fixed_width_name_extension FIF BB Y 4N _BIN,
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£ 73. binningnode JEME (%)

binningnode Bl bk E il Bt A
fixed width_add_as Suffix e RAGMBIFRAKRRE (B%) Tk
Prefix Jk (HTSE) . BEP B 4N income_BIN,
fixed_bin_method Width
Count
fixed_bin_count ki 1534 i 5E T 1l 57 B I € SE A (2651) %
HOES V8
fixed_bin_width real MR AR E CEREEE) |
equal_count_name_ string BBy 4N _TILE,
extension
equal_count_add_as Suffix T84 Xl FHbRUE p-tile ¥4 B B & 00 FH
Prefix YRS Ua%eHig) . EY AR _TILE fil
£ N, o N ORI
tiles trak A R RO AR, AR 25% BRI
fH.
tiles trid He BT B A
tilel® & AR L B A
tile20 & A=A L
tilel00 tris HE A 3 LA A
use custom tile trid
custom_tile_name_extension string BBV 4 A _TILEN,
custom_tile_add_as Suffix
Prefix
custom_tile B
equal_count_method RecordCount RecordCount 5 ik 2 AR BUAH R H 1
ValueSum i3k, MM ValueSum 77 ik o Blicsr g &40
TP R BRIRE 2
tied_values_method Next s NGB ST RV E
Current
Random
rank_order Ascending WEMEHE Ascending (HMRMEARIE R 1)
Descending Descending (@ {EARIE N 1) .
rank_add_as Suffix BERETE T HER, B AE 2 LR
Prefix
He& tris
rank_name_extension string By B4 N _RANK,
rank_fractional trak XEARIEATHERE, B 7 B i B 55 T HERR (A BR
PIHESRREAD R EZ M, 2 EHFEN T 0-1
Z[H],
rank_fractional name_ string Y R4 _F_RANK,
extension
rank_pct PRk A HERAEBR DL B A B RE R A, B
100, F2rH o BBkAL T 1-100 JEEIA.
rank_pct_name_extension string BB 4N _P_RANK,
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% 73. binningnode JEME (%)

binningnode Bl HiEER iR
sdev_name_extension string
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension string BBy 4N _OPTIMAL,
optimal_add_as Suffix
Prefix
optimal_supervisor_field FE Ve B BRI 7 BL, A IR 7 Bl S
ZHK,
optimal_merge bins ik i 5 FT A BB/ NI B TR 3 AR S S
KRR A8,
optimal_small_bin_threshold B
optimal_pre_bin trak FR AT RAR R T
optimal_max_bins B i€ _ERR DL G B i R oA A
optimal_lower_end_point Inclusive
Exclusive
optimal_first bin Unbounded
Bounded
optimal_last_bin Unbounded
Bounded

derivenode E¥

— CURA T R R R E R — NN A T RAIE 7B, EWRAIERE AKX, Ak
e A RS TR R B

i 1

# Create and configure a Flag Derive field nodenode = stream.create("derive", "My node")
node.setPropertyValue("new_name", "DrugX Flag")

node.setPropertyValue("result_type", "Flag")

node.setPropertyValue("flag_true", "1")

node.setPropertyValue("flag_false", "0")

node.setPropertyValue("flag_expr", "'Drug' == \"drugX\"")

# Create and configure a Conditional Derive field nodenode = stream.create("derive", "My node")
node.setPropertyValue("result_type", "Conditional")

node.setPropertyValue("cond_if cond", "@OFFSET(\"Age\", 1) = \"Age\"")
node.setPropertyValue("cond then expr", "(@OFFSET(\"Age\", 1) = \"Age\" >< @INDEX")
node.setPropertyValue("cond_else_expr", "\"Age\"")
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Tl 2

VERA B E A PS40 XPos Al YPos HYRLF 41, BN M ARFEA R (FIIN, H—FHERENME) K X
Y AEAR. ERRIERCIRAI AL, BT AU AR IR A AR R ORI AR XM Y AR o I A M s ]

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new_name", "Location")
node.setPropertyValue("formula_expr", "['XPos', 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the
# specifics of the geospatial object
node.setPropertyValue("geo_type", "Point")
node.setPropertyValue("has_coordinate_system", True)
node.setPropertyValue("coordinate_system", "ETRS 1989 EPSG Arctic_zone 5-47")

% 74. derivenode |E1E

derivenode [Ef% HiiE%a! IR pas
new_name string B B 4478,
mode Single HERSIREZNFE.
Multiple
fields E7ES AT ZE T AT RELNT B
name_extension string fREFTBAIY R4,
add_as Suffix WU RAB I A T BARAS (JFk) 5
Prefix F& (KRB) .
result_type Formula AT S TR 5 7 B
Flag
Set
State
Count
Conditional
formula_expr string I AR YR A Y s R T S T BLE
ik,
flag_expr string
flag_true string
flag_false string
set_default string
set_value_cond string KR EY, AT RS 45 e M
LEES SRS
state on_val string TEEWE On Sl 5= By (A,
state_off_val string fREM R Off ZfFmb B B (.
state_on_expression string
state off_expression string
state_initial On HFF B EAICR AT G On 3
off OFf, AIFEN A2 A AR B st £
count_initial _val string
count_inc_condition string
count_inc_expression string
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% 74. derivenode JEPE (£E)

derivenode JEM% HiELRE e puy
count_reset_condition string
cond_if_cond string
cond_then_expr string
cond_else_expr string

formula_measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

U P T S5 IR A B IR
B, ATLAIE setter pRfR i — A R B
Hi—/~ MeasureType {H, getter PRECHFIRZL
IR [H MeasureType fH.

collection_measure

Range / MeasureType.RANGE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET
Typeless / MeasureType.TYPELESS

PR TE (RES 0 ;9F1%R) , e
PR S LA 5% 1B FA N 2R,

geo_type Point X A ], MR B R
MultiPoint ZNibE: SR EIPOE iU i N VAL AR (= N:(]
LineString BRI R — 3
MultilLineString
Euk7
MultiPolygon

has_coordinate_system AR XF T s ] B, MR E LT RO

A AR R
coordinate system string YT B A B, sE M T B

AR AR

ensemblenode &%

&
+>

Zn|

RPN RO P SRS DL E R B AT AL A,
IS g A,

# Create and configure an Ensemble node
# Use this node with the models in demos\streams\pm_binaryclassifier.str
node = stream.create("ensemble", "My node")

node.setPropertyValue("ensemble target field", "response")

node.setPropertyValue("filter_individual_model output", False)

ORI R AR A PO L 3 AT T — AL AR AR 1 i

node.setPropertyValue("flag_ensemble _method", "ConfidenceWeightedVoting")
node.setPropertyValue("flag _voting tie selection", "HighestConfidence")
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F£75. ensemblenode JBVE.

ConfidenceWeightedVoting
RawPropensityWeightedVoting
AdjustedPropensityWeightedVoting
HighestConfidence
AverageRawPropensity
AverageAdjustedPropensity

ensemblenode /BT HiEER iR

ensemble target field FB AR BT R A A4S E H AR
B.

filter_individual_model_output trik i S A B A A BRI PR £ R

flag_ensemble_method Voting B JT 0 8 BT i . (4

SE [ H bR R ST B, A2 Atk
H.

set_ensemble_method Voting o T il AR I vk, (04
ConfidenceWleightedVoting JE 1 H AR 44 U7 By, A2 I it
HighestConfidence ",

flag_voting_tie_selection Random WRCEERE T, IATEE ks
HighestConfidence M5, AUSEE M E R EARE B
RawPropensity W, A4 I3 E.
AdjustedPropensity

set_voting_tie selection Random MR EER R, WAL E s
HighestConfidence 7, MUY E W E s &4 LFER

i, 72 B .
calculate_standard_error trds IR AR BOR IS, B A T B

T TR ERZEVESE, DAV S (E
SRS H S EZ W E, R
SO A S A T O AR JE

fillernode E¥

(@FIELD) ) MYBFHLME, HAbh, tnl IgEHefs i 2s B (el Null EEHONREME. “HITH 1 ans

@ LR BN SN TR e B O WHE . ST R T CLEM & fF (B4 @BLANK
-
< H TSI AN, DRk (L,

il

node = stream.create("filler", "My node")

node.setPropertyValue("fields", ["Age"])
node.setPropertyValue("replace_mode", "Always")
node.setPropertyValue("condition", "(\"Age\" > 60) and (\"Sex\" = \"M\"")
node.setPropertyValue("replace with", "\"old man\"")

& 76. fillernode J& 1t

fillernode B HigRa R
fields VIES Bl 45 AR R PR A I E B
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#76. fillernode @I (£5)

fillernode B4 HiExa iR
replace_mode Always AU A E, SaEs=E, BT iRkEs
Conditional SR AT R 4
Blank
Null
BlankAndNul1l
condition string
replace_with string

filternode Ei%

<:\\ U R T NE R FBL O BT A 45 DLSOR BN — AN IR A B B 5 — A
.".'.

\\\\\

il

node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new name", "Drug", "Chemical")
node.setKeyedPropertyValue("include", "Drug", False)

{FF default_include Etf. TR, wHE default_include JEMEMEASH I RERHRRITAFE, MR
R E A SR TR B A T, EIhRE b, SRR Y TR g A AR SR A B A T EETE
B4, filan, BistisiT DT A
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the 1list
for f in ["Age", "Sex"]:

node.setKeyedPropertyValue("include", f, True)

AR BT B AR M MR, MEFHEMG B, A, B EUOsT R EAETE 2 A AR F
B
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the Tist
for f in ["BP", "Na"]:

node.setKeyedPropertyValue("include", f, True)

BEI 2 AE i PR h AR I A B, R 05 B ( 4FdS . MR . BP . Na ) . #AJIEDE, ff
default_include MMEHEHIXEN False AREHNEHLEIHFE.

AN, AR B Ll A sl A < 8 SRR HE R default_include MU{ETH A True, WISHHILATH
KAEE, BN, #EFEm AR LA A IO B, A BRI, AL o S AR HE A A A R A S
B, B A Bh T B AR AT TR,
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£ 77. filternode &1

filternode Ef% HiExa Bt A
default_include ik FHT 48 72 BRINAT Ry S A 3 T 2t ol 0 = B 1 B 4
Aﬁ.

EE, WENEEASH OSBRI T
B B REERIAE DL TR e R 1
B, A RHAERE S T s,

include tris XS T A AR 27 BL S k.
new_name string

historynode [E1%

Pl AR B, X F RS MR BA B, il AR AT
P e, AN [6) e B e A G D S A SR A, R LR FH R s R 0 AT HE
J¥.

Zy|

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fill_with", "undef")

£ 78. historynode J& 1k

historynode B iR EtEiER

fields VIES T B e SR

1wz number i AR AR By s e s o B (A T R 10 %

(HAFCFZ T IIETE) |

span number F8 B PR IUE 0 DIATIE SR M EE .

unavailable Discard ALFUR G Iy 0 R E R IC sk, WS EEE
Leave DUHT A IE SR 0 g e sE R LA e s (i F
Fill B LR ) .

fill with FI5ER ¥6 BT IC D L S E W] 18 SR 1 1 5
Number FFHE,

partitionnode [E%

SN R A R X B, V5 BT B 2 E D B TR DU AR A U 2R, DA

ey B B .
+=

il
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node = stream.create("partition", "My node")
node.setPropertyValue("create_validation", True)
node.setPropertyValue("training_size", 33)
node.setPropertyValue("testing_size", 33)
node.setPropertyValue("validation_size", 33)
node.setPropertyValue("set random seed", True)
node.setPropertyValue("random seed", 123)
node.setPropertyValue("value_mode", "System")

2 79. partitionnode &V

partitionnode [t HigRa iR

new_name string F 1T S5UAE I 43 DX B 44 R,

create validation trid A A T A @ A Ik 3 X

training_size 27 BB R DXHYIE SR BN & B 23 - (0-100),

testing_size BH B Ro e Ao XHYIE B 5 B 23 EE - (0-100),

validation_size B B BC A B e DXAYIE SR BN & B 23 B (0-100), 40
FRBIHEIUE X, B2 20 g 1.

training_label string WA X FR2E,

testing_label string W X AR 2,

validation_label string R > XA ARAE, WPRA I IIE X, R4 20
SR .

value_mode System fi € T R EdE P B XAE, fim, JIZekE

SystemAndLabel AR PIFR N RS 1, 4% Training 5 _H M
Label 04 1 _Training,

set_random_seed iR (8 6 58 S A WA P A R Y BE LA

random_seed B F P 4G E B B AL R T 0L R R
set_random_seed W% E A True,

enable_sql_generation A7/ 1E e A SQL [EE LI B id 2 7r X,

unique_field e i AT B, DU O DA BEATLE v 1 A R 7 Ok
BT ol V17 ol P 1 (1 S 3 R A =
enable_sql_generation #AZi% &y True,

reclassifynode [Ef%

&

Mmie, FHrRAER A .

Zn|

node = stream.create("reclassify", "My node")
node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace field", True)
node.setPropertyValue("field", "Drug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])
node.setPropertyValue("name_extension", "reclassified")
node.setPropertyValue("add _as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)

CHUHT O I RORs — AL R R O Iy — AL X T A S B AT Rl EE A AL AT
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node.setPropertyValue("use default", True)
node.setPropertyValue("default", "BrandX")

node.setPropertyValue("pick _1ist", ["BrandX", "Placebo", "Generic"])

2 80. reclassifynode J&1E

reclassifynode Eif HigzEa B

mode Single Single Xf — 5B HEATE R 02K, Mul-
Multiple tiple RIS T R XF 245 BOtk AT e e ok

i,

replace_field ik

FER string LA Single BT .

new_name string {U7F. Single 2 .

fields [field] field2 ... fieldn] |{NAE“Z )7 & .

name_extension string e Z F 77 Ul AL

add_as Suffix e 2 877 N AL
Prefix

reclassify string FERAE RS tat J .

use default trik il FH B .

default string FREshA (.

pick list [string string ... string] | SRV S AT HHHE IR DU FEFR 0 T

B,

reordernode E#

o B BT HE R A S SR TR e B T SRR, FF K S 5 B 4 A B (it
BN . PIRMTBRER) 0ER R, IR, A BT BT B b ELL

Zn|

node = stream.create("reorder", "My node")
node.setPropertyValue("mode", "Custom")
node.setPropertyValue("sort by", "Storage")
node.setPropertyValue("ascending", False)
node.setPropertyValue("start_fields", ["Age", "Cholesterol"])
node.setPropertyValue("end_fields", ["Drug"])

% 81. reordernode JBTE

reordernode Etf HiExR e 2737

mode Custom AT LLE S EVEA TR, T DA R E R HiBUE.
Auto

sort_by Name
Type
TFii#

ascending s

start_fields [fieldl field2 ... fieldn] |#HT-Bifi AFIXEFEZ )G,

end_fields [fieldl field2 ... fieldn] |37 Bty AFX L5 B2 i,
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reprojectnode [Ef%

TE SPSS Modeler H, FikzUtgg#n 2SR %, 25 [AIIHE] T (STP) 5 A5 K Hi [ mT A0 A6 4 o5 45 10
B fd RO AL AR 2R, BT BO T ST DU B S ARG A AR 2R AT AT B 1 AR bR R

£ 82. reprojectnode &1k

reprojectnode BT HEER B
reproject fields [field] field2 ... fieldn] | %\ T4 B8 H G 0 7B,
reproject_type Streamdefault TR G X - B AT HORT R
Specify
coordinate system Frr BBV R AR AR BRI A48, Rl
set reprojectnode.coordinate_system =
"WGS_1984 World_Mercator"

restructurenode B¢

BN, 5% — 00 SEAERBN T B, Bl 150, BB 57, IR aRAIE =B (157

@ ST R 4 T B R T B O — A B, XA BA] DU A 5 — T B AT T
HE BT BT BOTRE RS SR SO R EL

il

node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include field name", True)
node.setPropertyValue("value_mode", "OtherFields")
node.setPropertyValue("value fields", ["Age", "BP"])

F# 83. restructurenode JE 1k

restructurenode Bl BiEER EHER
fields_from [category category cat-
egory]
all
include_field_name PR F7R R AL A AL 1 7 B h i 7 Be 4.
value_mode OtherFields FoR T HERE M T B E EAR, R
Flags WHE OtherFields, 4704 Bl MR LL 5 Bt
(ZFTF3) . e Flags, IRAMHAEUE
PRk,
value_fields VIES i value_mode J& OtherFields, APAMJEM:
ST, HE IR B A S B
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rfmanalysisnode &%

AT, SAMGLT (REM) S8 355, G007 LU 2 7 diill — A S 7™ it s 5 (s Te] (G
B BEPEEEIER () LR PSRBTS0 (), BiE iR R R [
Bk,

il

node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied values method", "Next")
node.setPropertyValue("recalculate bins", "IfNecessary")
node.setPropertyValue("recency thresholds", [1, 500, 800, 1500, 2000, 2500])

7 84. rfmanalysisnode &1k

rfmanalysisnode [Eff HiEER EEER
recency FE BT E B, BRI RESE H L AL A
fih 2 M.
frequency FB FRE AT,
monetary FE TR EL
recency_bins B Fe 8 B A AT PR 0 A R
recency_weight number Fe N TR AR A, B 100,
frequency bins B fi8 5 B SR A3 O3 A Bl
frequency_weight number B AE Y T IR EER A AE, s E N 10,
monetary_bins B i 58 B Y B T O3 A Hl
monetary_weight number YN TR MR ACE, SEER 1
tied values_method Next e 2 PN e R
Current
recalculate_bins Always
IfNecessary
add_outliers i HAY recalculate_bins #% K IfNecessary B A

A WRCBE, KT TR RIS
FUMETR A, B R e L ERe S

AR e .
binned_field Recency
Frequency
Monetary
recency thresholds value value LA recalculate_bins ¥4 Always I A 1] A,
i€ UL 3 AE R T PR IS (A0 ERR BB, — S AR Y
ERREEAET — AR TR B filan, (10 30
60] W] E LA, SR AR R {EAT R R
B4 fEL73 53 0 10 130, 55 A0 A Y A 9 B0 531
A 30 F1 60,
frequency_thresholds value value HA524 recalculate bins ¥4 Always B 1] A,
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2 84. rfmanalysisnode JEPE (£E)

rfmanalysisnode [Eff HiELR BIEHER
monetary_thresholds value value HAGY recalculate_bins &4 Always A n] H,

settoflagnode [Ef4

Zn|

node

node.
node.
node.
node.
node.
node.
node.
node.

@ “BERBRE T R B — 24 7 B U 7 R TRAE 2 MR 7 B

= stream.create("settoflag", "My node")
setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
setPropertyValue("true value", "1")
setPropertyValue("false value", "0")
setPropertyValue("use_extension", True)
setPropertyValue("extension", "Drug_Flag")
setPropertyValue("add as", "Suffix")
setPropertyValue("aggregate", True)

setPropertyValue("keys", ["Cholesterol"])

7 85. settoflagnode J&E

settoflagnode B HHEER R
fields_from [category category cat-
egory]
all
true_value string 68 B B AR AR T AT N EAE, B EA
T,
false value string 6 E B B AR AR T S AR, BEE
F.
use_extension trik it I 444 AR bs i 5 BN I 2R BT 2%
extension string
add_as Suffix TREFTIR Y e 2402 5 S )2 7 2.
Prefix
aggregate trik R - B IC sk o . QA R sk ik

N true , ABAZ A AL BT A RS T BL

keys

PIES B

statisticstransformnode E¥

“Statistics #4037 4T % IBM SPSS Modeler H IR 24T AY IBM SPSS Statistics &k

= frds. AT TEE IBM SPSS Statistics B9 R] B,
>

BRI SRR, 52 FE 281 T 1 statisticstransformnode Ja@ 1 4 |
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transposenode %
SR A AT RIS R, DM B, B O,

=

il

node = stream.create("transpose", "My node")
node.setPropertyValue("transposed_names", "Read")
node.setPropertyValue("read from field", "TimeLabel")
node.setPropertyValue("max_num_fields", "1000")
node.setPropertyValue("id_field name", "ID")

% 86. transposenode &1k

transposenode Ef% b3 e B
transposed_names Prefix AT DIARYE A 2 BT B sh A o = B 4, T RUAEL
Read PRI IA F B U B 4.
prefix string
num_new_fields R TR, i AN EE B T B o R HH .
read_from field FE M BER A FRI B, M B A — A S i
B, A UMERAT TS RN RS 5
max_num_fields B M F B A FRN, H5 o R DLk A g
FOpNIE 2418
transpose_type e BT, RuefEEEs: (Bul) #£B, #H
FFER ] DLVEPE B 7 B E 7 R B BT A A R
Custom FE.
transpose_fields VIES 6 7 o A8 I VR T ) 7 1 7
id_field_name FE

typenode EtE

= CRA REE T BOUEdR AR YR, B, el LR E ST BRSO (EL A0 AF
(-:i} HibrE) R EMATARBREMRS Null R, S8 HTEERTBIME, f8E 7 Bir
S MEAR LA B o 7 BUR E (A

il

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC", "drugD", "drugX",
"dY‘UgY" s "dY‘UgZ"] )
node.setKeyedPropertyValue("null_missing", "BP", False)
node.setKeyedPropertyValue("whitespace missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value labels", "BP", [["HIGH", "High Blood Pressure"],
["NORMAL", "normal blood pressure"]])
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TERL, HLBREOUT A RERT Bo8 & S B MY S A e o 3 RAE R B AT, i, “BOPRET AR fields

from JEYE, ATRUR R R G PATIZ R LSO X 47 B

stream.createAt("table", "Table node", 150, 50)
stream.link(node, tablenode)

tablenode =

tablenode.run(None)
stream.delete(tablenode)

7% 87. typenode JETE.

typenode [El% b6 et EtiER
direction Input F B e TR .
Target e OAE, RHEREMNE In A Out. 7EHERIN
Both Ji AR AT R T X S ) S,
None
Partition
Split
Frequency
RecordID
type S8 (Range) TR (LLRTA B ) |
Flag K type WEN
Set Default 2k A values S5
Typeless wE, HHIME value_ mode MIHE N
Discrete Specify, MBAEHEE N Read, IR
OrderedSet value_mode ¢ # & Pass 1 Read,
Default M2 E type A2320 value_mode,
T PR T 2 R [R] TR s R
HIZETY, XY 3 RUNT Fr7R: Range -> Continu-
ous Set - > Nominal OrderedSet -> Ordinal Dis-
crete- > Categorical
storage Unknown TR RN R s fE .
FHE
B
ST
Time
HEHR
Timestamp
check None BRI LA A 1) B4R S
Nullify
Coerce
Discard
Warn
Abort
values [value value] MTEGMEERmME, B—-1Em/ME, F—1

A, MTHLTFER, fEEMAME. MRk
FERME, B MERE false, J7—MEME
true, V& EIZBMERHIE value_mode EHEI'E
A Specify,
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% 87. typenode JETE (£E).

typenode B HiERa EiEEiA
value_mode Read FEMRRE T, R, RRER IR E Bk
Pass A Specify, B AFFEM, kA values J&
Read+ P,
Current
Specify
extend_values trak % value_mode &N Read WP, AN T
TIPS B e I (B MBI B, Wl
FoOUE SR80 (5 IR0 i e L.
enable_missing | frids MUEEA T B, AW T B S A Y B
missing_values [value value ...] ¥ 12 FE R I B 1) B e,
range_missing & TRERG AT BOE LERE () U,
missing_Tower string range_missing & true B, IUJE TR E B IAETE
FEI A TR
missing_upper string range missing & true I}, MCJEPESSEBLRAETE
B YRR
null_missing tri WEATH, 5 (FERAHERA $nulls Ik
FESXAE ) B A ERRAE,
whitespace_ miss- | 5 WER T, NEEEE (S, HIRA T
ing ) BB BT Ry B 2R AR
description string HrF BRI,
value_labels [[Value LabelString] [ Value LabelString] ...] T NEXTTE ERRZ,

display_places

Fic314

H B E WoRE N R (U T RL REAL f£6ik
7B . AR -1 W, B R B 1,

export_places B N BRI N (BUAT L REAL £
BERFE) . N -1 B, KRR G B (A
decimal_separator | DEFAULT HFBOCE IR (VAT L REAL F7651Y
PERIOD TE) .
COMMA
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% 87. typenode JEE (£E).

typenode B¢

HiRxE

s ipes

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/ YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

B E H g ((UPT L DATE = TIME-
STAMP i B ) .

time format

"HHMMSS"

n HHMM n

IIMMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

AEBEEBENERES (TR TIME 5 TIME-
STAMP i B ) .

number_format

DEFAULT
STANDARD
SCIENTIFIC
CURRENCY

N Bk BT on s L

standard_places

kics /4

J Bk B ARRUERS 2RI N B, (A
-1 W, KR EEEE, BEE, AW
display_places il th = H i gdE, HERC
ANFHE .

scientific_places

biis4

7 BB DARE S Rk 3 7R i /s A
62 -1 I, K6 s A,

currency_places

N B LT TR SRR i N R, (E
-1 I, KRR B (.
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% 87. typenode JETE (£E).

typenode E14

HiRza

Bt

grouping_symbol

DEFAULT
NONE
LOCALE
PERIOD
COMMA
SPACE

BB AT,

column_width

bics34

AFBVEEIITERE. EA -1 ARiREs R
A Auto,

justify

AUTO
CENTER
LEFT
RIGHT

N B B G L

measure_type

Range / MeasureType.RANGE
Discrete / MeasureType.DISCRETE
Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET

Typeless / MeasureType.TYPELESS

Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

R RIT type, FIRER T E X5
BRI, X AFET, &R LAm] Python A<
Y setter ML A — 4> MeasureType
i, 1M getter fHZR[E MeasureType fH.

collection_ mea-
sure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET

Typeless / MeasureType.TYPELESS

XTUET B (RER 0 BFI%) , iEEk
S S BTl (B S IR 0 e 2 1Y

geo_type Point Xof T 2 S ] B, MR R R E SO TR R
MultiPoint Y 34 s () X G R 2R, KR 1% S5 (B Y 9 R IR
LineString 5 —2
MultiLineString
EQubi7
MultiPolygon
has_coordinate | 7i/KfE XF T S ] R, MR E SO T BRI R
system LTS
coordinate_system|string Xof T A A B, O S T M e S B Ak

PR,

custom_storage_
type

Unknown / MeasureType.UNKNOWN
String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP

List / MeasureType.LIST

PR JE MESRL T custom_storage, PHNE R
TENFENEEAM. XAET, @8 in
Python ARGl H i setter bR %% ik H i —A4>
StorageType {H, Ifi getter #H%%R [E] StorageType
fH.
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% 87. typenode JEE (£E).

typenode B¢

HiRxE

s ipes

custom_Tist_
storage_type

String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP

XA B, B PR i S R A 7702

L

custom_list_depth

biis34

XFHIRT B, O R E T B IR T

411 5 OFE

A
¥

PB4 Rl A%

<+

129
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%12 E AT REN

BT a Bz
AR AFEIEAT SR HEd, O35 A L E A AR S SRR Y JE .
88 WILETE T JE

NEEET BN HiERR EER
title string Y& EMRE, 7Rfl: "This is a title.”
caption string FEEXF M, 7/~ "This is a caption.”
output_mode Screen 578 S WY U0 i 8 R K S 3 S,
File
output_format BMP EiEpact I VI B WA R R F R S R TR IR TR I PR
JPEG .
PNG
HTML
output (.cou)
full_filename string KBTI 5 AR BSURA i 48 7€ H A B AR A SO 44,
use_graph_size Y A A5 68 P TR ) 9 JEE R v R e PO A R T Y K
AN, B B R B, R T oA
graph_width number 24 use_graph_size i True B, DMEZE NN &K
TLpE.
graph_height number 24 use graph_size 4 True I, DIMGZE N&7ik B L
.
KAIEF

WEDH EEERE R " (B, TR R (MR ESFE) KW, W RUREIfTR
plotnode.setPropertyValue("color field", "")

IEEBE

A ANERFR (WHT o) JHE) , AHEERE, Rk, BRAEENE 6. i, R ERE
AR, LT A

mygraphnode.setPropertyValue("graph_background", "#87CEEB")

BEAL, FIPIAIEL 87 fRELLEAMNEA; HEIMAIEL CE fRESREONA,; RIGMME EB fREREGNE. AT
R — ML THEE 0-9 B A-F NAYME, X48EAE — & DI ELL-4¢- 1 (Rl RGB) Bifa,

T DL RGB 5B, wTRLGE R ™ A rp i 5 B £ 40 0 IR 00 AU B G AQRD,  HUR K b 15 B AE 2
8 T R TR R R D RAR R,
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collectionnode Ef%

W R R — T B AR T — AT T B R . (RIS T BT AR
im BB, ) E7R B E AR A s BO, & AR, [ 3-D BRSNS, En] LI
- — M TR AT HIAT 4.

il

node = stream.create("collection", "My node")

# "Plot" tabnode.setPropertyValue("three D", True)
node.setPropertyValue("collect_field", "Drug")
node.setPropertyValue("over _field", "Age")
node.setPropertyValue("by field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" sectionnode.setPropertyValue("color field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tabnode.setPropertyValue("range mode", "Automatic")
node.setPropertyValue("range min", 1)
node.setPropertyValue("range max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 5)

% 89. collectionnode J&1E

collectionnode [Ef¥ iR Bt
over_field FE
over_label auto i
over_label string
collect_field FE
collect_label auto Yy
collect_label string
three D i
by field FEB
by label auto s
by _Tabel string
operation Sum

Mean

Min

Max

SDev
color_field string
panel_field string
animation_field string
range_mode Automatic

UserDefined
range_min number
range_max number
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% 89. collectionnode JEE (£E)

collectionnode JE4E HiEER e
bins ByNumber
ByWidth
num_bins number
bin_width number
use_grid ik
graph_background it ARATEF AN T AR UERDE S,
page_background gt AATHEI LA T IR EETEBIE,

distributionnode B4

O AT R RRE S (7338) (H (BRI e B ) Y B R, E R, T LU oA
- RO R B AT, AR5 AT DUAFE A A5 i 2 1Y R4 IE IR E

il

node = stream.create("distribution", "My node")

# "Plot" tabnode.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("normalize", True)
node.setPropertyValue("sort mode", "ByOccurence")
node.setPropertyValue("use_proportional_scale", True)

F90. distributionnode JE1E

distributionnode Bt £t ek S 73
plot SelectedFields
Flags
x_field B
color_field T8 TETFH.
normalize ik
sort_mode ByOccurence
FHIF
use_proportional scale i

evaluationnode Ef%

TUMEL A0 TS0 B A5 BEXTICSRBEATHEF . AL T s T MR R/ (58, AR A2

; CPRAE T R B TR EC BT RL, R A% P 3R o BRI U 25 R MO T R . B AR Tl
- TR BB AR, AEHOR T, DIARTR #9255 R 2,

il
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node = stream.create("evaluation", "My node")
# "Plot" tabnode.setPropertyValue("chart type", "Gains")
node.setPropertyValue("cumulative", False)
node.setPropertyValue("field detection_method", "Name")
node.setPropertyValue("inc_baseline", True)
node.setPropertyValue("n_tile", "Deciles")
node.setPropertyValue("style", "Point")
node.setPropertyValue("point_type", "Dot")
node.setPropertyValue("use_fixed cost", True)
node.setPropertyValue("cost_value", 5.0)
node.setPropertyValue("cost_field", "Na")

node.setPropertyValue("use fixed revenue", True)

node.setPropertyValue("revenue_value", 30.0)
node.setPropertyValue("revenue_field", "Age")

node.setPropertyValue("use fixed weight", True)

node.setPropertyValue("weight_value", 2.0)
node.setPropertyValue("weight field", "K")

% 91. evaluationnode J&1E.

evaluationnode JEM% HiRHER Bk
chart_type Gains
Response
Lift
Profit
ROI
ROC
inc_baseline Rk
field_detection_method Metadata
Name
use_fixed cost i
cost_value HF
cost_field FHFE
use_fixed revenue i
revenue_value 7
revenue_field TR
use_fixed weight s
weight value HF
weight field FE
n_tile Quartiles
Quintles
Deciles
Vingtiles
Percentiles
1000-tiles
cumulative i
style Line
Point
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% 91. evaluationnode JEVE (£E).

evaluationnode B

HiiRzea

Bt

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

export_data

trik

data_filename

FrFH

delimiter

SR

new_line

tris

inc_field_names

&

inc_best_Tine

tris

inc_business_rule

&

business_rule_condition

FIFH

plot_score_fields

&

score_fields

[field] ... fieldN]

target_field

TFE

use_hit_condition

tris

hit_condition

T

use_score_expression

tris

score_expression

T

caption_auto

trik

graphboardnode [Ef4&

Bt SRJE MGl I 15 B 7 B i — AR, 1 E Sl D BT R T T B T ]

?g “EDR AT S AR AT R R 2 AR SRR BB, R, AT DU B R A U

A,

=

T AR CE X EE IR IO B (BN, CAETESRE y_field) , IZJEEKE g,

i AE UL PR ZRREDE B R TR fE Bk & b, A~ MEETEG WA G 24 50 A SR 7 BL

%12 ' R A
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Zy|

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")
node.setPropertyValue("x_field", "K")
node.setPropertyValue("y_field", "Na")
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£ 92. graphboardnode )&k

graphboard &4

HiiRzea

s ipes

graph_type

2DDotplot

3DArea

3DBar

3DDensity

3DHistogram

3DPie

3DScatterplot

Area

ArrowMap

Bar

BarCounts

BarCountsMap

BarMap

BinnedScatter

Boxplot

Bubble

ChoropTlethMeans
ChoropTlethMedians
ChoropTethSums
ChoropTlethValues
ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap

PointOverlayMap
PolygonOverlayMap

Ribbon

Scatterplot

SPLOM

Surface

GRS Z St

x_field

FE

y_field

TFE

xR EE IR RS T RAE
oy g EE RIS, Hud T ReE

7N

°

%12 ' R A

137



£ 92. graphboardnode JEE (££)

graphboard &% HiiRkE s ipes

z_field FE MT L 3-D K,
color_field FE TERE .

size field FE TE AR .
categories_field FE

values_field FE

rows_field FE

columns_field FE

fields FE

start_longitude_field |FE¢ Sk = AL PN UREX (U

end_Tongitude_field FE
start_latitude field |F&

end_latitude field FB

data_key field FE AT &R,
panelrow_field string

panelcol_field string

animation_field string

Tongitude_field FEB 5 R AR ARG 5 .
latitude field FE

map_color_field FB

histogramnode %

CHIT R R RO B R, MUY R H FIORAE AT Bl B A AR A AT IR R
B, SRR, BT R W R R R R AT

il

node = stream.create("histogram", "My node")

# "Plot" tabnode.setPropertyValue("field", "Drug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tabnode.setPropertyValue("range mode", "Automatic")
node.setPropertyValue("range min", 1.0)
node.setPropertyValue("range_max", 100.0)
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)
node.setPropertyValue("separate _bands", False)

2 93. histogramnode JFH1E
histogramnode B iRz R
FB FE
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£ 93. histogramnode JEVE (%)

histogramnode [Eft ESIE el B
color_field B
panel_field FE
animation field B
range_mode Automatic

UserDefined
range_min number
range_max number
bins ByNumber

ByWidth
num_bins number
bin_width number
normalize ik
f¥separate_bands i
x_label auto trk
x_label string
y_label auto trik
y_label string
use_grid ik
graph_background gt ARIFTETFRAEAN A T e RTE i,
page_background Bt ARAAETELAE AR T RIER TR B,
normal_curve trik i R A A R R A A 2R
multiplotnode &%

“ZEAUIETT SR X FRERREZA Y FRIVHUIE. ¥ FEMSHIIR AL &
Zég\ A TR0 B R HX B BOSHEFR ORI L TEIRER 2 AL R B (R HE RS A2
— fefEoin, ZEHAE AR A .

il

node = stream.create("multiplot", "My node")

# "Plot" tabnode.setPropertyValue("x field", "Age")
node.setPropertyValue("y fields", ["Drug", "BP"])
node.setPropertyValue("panel_field", "Sex")

# "Overlay" sectionnode.setPropertyValue("animation field", "")
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use_overlay expr", False)
node.setPropertyValue("overlay expression", "test")
node.setPropertyValue("records_1imit", 500)
node.setPropertyValue("if over limit", "PlotSample")

%12 ' R A
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£ 94. multiplotnode J& £

multiplotnode Ef¥ iR R
x_field T
y _fields LIS
panel _field FE
animation_field FE
normalize i
use_overlay expr ik
overlay_expression string
records_Timit number
if_over_Timit PlotBins
PTotSample
P1otAT1
x_label _auto trak
x_label string
y_label auto tris
y_label string
use_grid s
graph_background Bt AL T hREETE B,
page_background it AT T AR HE RS,

plotnode E%
A AR AT SR T B0 R, AL G A () SR QIR A,
e

Zn|

node = stream.create("plot", "My node")

# "Plot" tabnode.setPropertyValue("three D", True)
node.setPropertyValue("x_field", "BP")
node.setPropertyValue("y field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")

# "Overlay" sectionnode.setPropertyValue("color_field", "Drug")
node.setPropertyValue("size field", "Age")
node.setPropertyValue("shape_field", "")
node.setPropertyValue("panel field", "Sex")
node.setPropertyValue("animation field", "BP")
node.setPropertyValue("transp_field", "")
node.setPropertyValue("style", "Point")

# "Output" tabnode.setPropertyValue("output mode", "File")
node.setPropertyValue("output_format", "JPEG")
node.setPropertyValue("full_filename", "C:/temp/graph output/plot output.jpeg")
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£ 95. plotnode )& 1E.

plotnode E&

Bt

x_field

TFE

y_field

FE

xR EE IR, HaE TR
oy R EE IR, HOE TR

three D

tris

oy e E TR, RIEMT 3 4ERIEH iR,

z_field

FE

color_field

TFE

RETE,

size_field

FE

shape_field

TFE

panel_field

FE

TR T DA S 22 o B ] 2 1Y 4% S B b
TEL EIR—ETEAE - 0.

animation_field

8 DL I Rl (a2 ) (ol ad o il sl 1 2 — 3R 51
e 57 B PR 2SR UEHA ) IS I i T 4 44 S Bl
BTEL

transp_field

i DA R (2 0 ol o o 42501 6 AR [)
ZR 0 E N R ) I B R B, AT
AU

overlay_type

None
Smoother
Function

FRE R R E &R HGL L LOESS -4k,

overlay expression

FIFH

B overlay type & A Function BJff YA
v

style

Point
Line

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

x_mode

Sort
Overlay
AsRead

x_range_mode

Automatic
UserDefined

X_range_min

7
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£ 95. plotmode JEE (£E).

UserDefined

plotnode [Ef% HiiRzea iR
X_range_max HF
y_range_mode Automatic
UserDefined
y_range_min HF
y_range_max HF
z_range_mode Automatic

z_range_min HF
Z_range_max HF
jitter trik
records_limit HF
if_over_limit PlotBins
PlotSample
P1otAl1
x_Tabel _auto i
x_label T
y_label_auto ik
y_Tabel T
z_label_auto ik
z_label T
use_grid i
graph_background it ARATTETELARA 4 T e R R i,
page_background Pt ARATEE LA T e TR i€,
use_overlay expr trds ZEtEd overlay_type #AX.

timeplotnode E%

AT SN M S T AR IV 4 22 N R L1 D 211 € O VO N A = <X 5 B T [ A e e
e ##—A~ TimeLabel FBt, ZFBHTH x Mk ER2E,

il

node = stream.create("timeplot", "My node")

node.setPropertyValue("y fields", ["sales", "men", "women"])
node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", True)
node.setPropertyValue("1ine", True)
node.setPropertyValue("smoother", True)

node.setPropertyValue("use records_limit", True)
node.setPropertyValue("records 1limit", 2000)

# Appearance settingsnode.setPropertyValue("symbol size", 2.0)
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£ 96. timeplotnode J&1E.

timeplotnode /% HiRER I pe
plot_series 75
Models
use_custom_x_field Rk
x_field FE
y_fields PIES
panel tris
normalize ik
Tine tri
points trik
point_type Rectangle
Dot
Triangle
Hexagon
Plus
Pentagon
Star
BowTie

HorizontalDash
VerticalDash
IronCross
Factory

House

Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother s HAH panel BEN True , A nlF-F-il HESINE]
R,

use_records_limit i
records_limit Y
symbol_size 7 TRERT RN,
panel_layout Horizontal
Vertical

webnode EH

Web Wi PSR A DL EARFS (9038) FRIMEZ MBS R, BEE G AR LA 250k
@; FOREGGRIE, I, ERTLUE ] Web 3 RUORIRER LT 7 55 W ot L — 417 i B9 K 2 TR B 6 &R,

il

node = stream.create("web", "My node")
# "Plot" tabnode.setPropertyValue("use directed web", True)
node.setPropertyValue("to_field", "Drug")
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node

node.
node.
node.
node.

.setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
setPropertyValue("from_fields", ["BP", "Cholesterol", "Sex"])

setPropertyValue("true_flags only", False)
setPropertyValue("1ine_values", "Absolute")
setPropertyValue("strong links_heavier", True)

# "Options" tabnode.setPropertyValue("max_num links", 300)

node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("Tinks_above", 10)
setPropertyValue("num_Tinks", "ShowA11")
setPropertyValue("discard_Tinks_min", True)
setPropertyValue("1inks_min_records", 5)
setPropertyValue("discard links max", True)
setPropertyValue("weak below", 10)
setPropertyValue("strong_above", 19)
setPropertyValue("1ink_size_continuous", True)
setPropertyValue("web_display", "Circular")

2 97. webnode &

webnode JElE bS] e
use_directed web s
fields BZES
to_field FE
from_fields EZIES
true_flags_only Yy
line_values Absolute
OverallPct
PctLarger
PctSmaller
strong_links_heavier i
num_11inks ShowMaximum
ShowLinksAbove
ShowAl1
max_num_T1inks number
links_above number
discard_Tinks_min i
links_min_records number
discard_Tinks_max i
1inks_max_records number
weak_below number
strong_above number
Tink_size_continuous i
web_display Circular
4%
Directed
Grid
graph_background gt ANIEFLAANH T R ETE i,
symbol_size number TREF 5 I,
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£ 13 8 BETRERE

£

NEFET REN

PATR T At P T 2l sl Bl A Y . B B S L AR 5 B A A I A A A SO

98, IR BT

Btk ] EE 2370

custom_fields prak WAy true, AR VFE N YT RAEE H bR
T, MATFBMHAMTEE., RN false, HB
2 N o ey M R N TR G

target FE RIEHIR KT IR E —~ D ERFEEZ A Eir

i, i FEB.

targets [field] ... fieldN]

inputs [fieldl ... fieldN) ASEI P A PR 6D i A\ 5 Bl A B B

partition FE

use partitioned data trak e ST R B, B4 B R TRRT 6 AR AR
IR 73 DX R Hcdhe FH A e A
use_split_data trids

splits

[field] ... fieldN]

E - TH BT B EBEN R, UE
use_split_data ¥ & HEMAHRL.

use_frequency ik R E B BT AL B R T B (B
AR ST A1 )
frequency field FE
use_weight trids
weight_field FE
use_model_name trids
model_name string BT 5 AR,
mode Simple
Expert

anomalydetectionnode [Ei%

PN Anomaly Detection 1 AU A1~ (E W B 219 A DL (IR ) . EDLEBIREGLRICRCAE
) T A S P PR R gkt 5, LU R T AR B (.

il

node = stream.create("anomalydetection", "My node")
node.setPropertyValue("anomaly method", "PerRecords")
node.setPropertyValue("percent records", 95)
node.setPropertyValue("mode", "Expert")
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node.setPropertyValue("peer_group num auto", True)

node.setPropertyValue("min_num_peer_groups", 3)
node.setPropertyValue("max_num_peer_groups", 10)

€ 99. anomalydetectionnode &1k

anomalydetectionnode [Ef B B
inputs [field] ... fieldN] R HR I A AR A 48 E 1Y A T BOW IS
SREATIRE., BEAIAEMERFER. 5
Gb, WA AACE 7B R 7 B, AR
WEEE, WS 145 T v 203 i )
mode Expert
Simple
anomaly_method IndexLevel 6 8 T SR AR 10 S 5 04 20 SR A
PerRecords FEITIE.
NumRecords
index_level number 858 AT hRic 5 8 1 i/ FHE.
percent_records number HR A 2 Hedls vh g s B 20 MR B T
FRICIC s A (E.
num_records number R 3R I 25 B Al v A0 SR B R 1B R T
ICICRAY B (E.
num_fields B FEXHE A% D AR i Y B
impute_missing values i
adjustment_coeff number BEAH T R 1 B s s W 3 e R B R
I 2R B AR XA g A1
peer_group_num_auto trik H shit 8% 2 4150
min_num_peer_groups B ¥87E peer_group_num_auto & & A True Hf
AT Y X 45 4 1 B /N
max_num_per_groups B e XS 2 W R R AH
num_peer_groups 2358 $8E peer_group _num auto % E 4 False
I T 18 oF 45 2R 4.
noise_level number i peRel fe B T O g (N s W <1
SEMELAN 0 F] 0.5 2,
noise_ratio number 6 7€ 73 Bl 45 1% T W 7S G A B AR B Y
LB, $REMLHN 0 2 0.5 ZJH,
apriorinode B4
TR A B Al — AL, RIS SN AR Z RO, Apriori T R4 Ak TR LRI G 7
@ IR AR 2 R G ROk Rt AL B £, X T BORAY M, Apriori 31124 A8 BEE B0 IR

EXT AT B AR R B AR R, T EL AT R 2 32 ASHTR AR, <Sei R
I 5 B D oy R B, (BIR A E & O A B SR Bt T AT AL, DR Ak B R R AR

Z.

il
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node = stream.create("apriori", "My node")
# "Fields" tabnode.setPropertyValue("custom_fields", True)
node.setPropertyValue("partition", "Test")

# For non-transactional
node.setPropertyValue("use transactional data", False)

node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])

# For transactional

node.setPropertyValue("use_transactional _data", True)

node.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content field", "Drug")
# "Model" tabnode.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "Apriori_bp_choles_drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true_flags", False)
node.setPropertyValue("optimize", "Memory")

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("evaluation", "ConfidenceRatio")

node.setPropertyValue("lower_bound", 7)

2 100. apriorinode J&1E

apriorinode [Eif & R
consequents FEB Apriori B 45 B § S RS bR ey H
bR BOR R A 7 B, A AU 5 BRI % 7
B, AXEZER, lSRE 145 i o a3k
antecedents [fieldl ... fieldN]
min_supp number
min_conf number
max_antecedents number
true_flags s
optimize Speed
Memory
use_transactional data s
contiguous ik
id_field string
content_field string
mode Simple
Expert
g RuleConfidence
DifferenceToPrior
ConfidenceRatio

InformationDifference
NormalizedChiSquare

Tower_bound number
optimize Speed 4672 45500 2 S PR A7 i 1 1R
Memory 1k,
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associationrulesnode E¥

Bl ok, TRLESCHINAY 55 IBM SPSS Analytic Server [t & (i FH AL B K Y Bcdi L K Al

@ RIEHN T R 2RRUT Apriori 15,5, B2, 5 Apriori T riUARR AL, SCBCOHUINAY i m] AR B S 2
FHEAR I HATAL B,

# 101. associationrulesnode &£

associationrulesnode JEif HiExa B AR
vy FE S A v 19 5 B LR S A R 1 AR
14 [field]...fieldN] BB 2 i 5 B HURE S s S LU R S
max_rule_conditions B ] DAAE RS A 55 1 S A B KB E . /B
Ho1, RN 9.
max_rule_predictions 2 A AT B A5 00 e 5 ) T ) e K BOH . /IMA
M1, EORMER S,
max_num_rules B AT AR Ay 0 0 g A P9 L S ) 0 D0 ) e R H
w/AMEN 1, RN 10,000,
rule_criterion_top_n Confidence FH 80 7 6 AR v <N 2% O D) ISP A B0 P (6L P L
Rulesupport B
Lift
Conditionsupport
Deployability
true_flags TR (E BB R Y R E AU AL 0 R O s 75 B 25 I
true {H.
rule_criterion iR ME VB R Y 0 A T A 7 0 I e P 2% £t ke
HEBRHLI],
min_confidence 7 0.1 F| 100 - ALY AT A=y A A0 DU P Sr ARG a0 75 5 B2
B E - HGE,  an SRR I A R0 Y A R 2R
LT LA AE E I ME, B2 ZFE L.
min_rule_support HF 0.1 F| 100 - I AT A= BRI 69 m IR 0 A MU 32 455
WO 5 LU AR, SRR IR BT AR il 0 D 1 0 0] =2 4 i)
RTIRE M, I Z TN,
min_condition_support BT 0.1 to 100 - HETRY AT A B Y 000 F) e AR A0 7 S5 1 S 4+
M5 FOfE,  an SR AT BT AR Bl 0 U (4 4% 1 32 R4 il
IRTHRE M, TR E TN,
min_1ift k334 1 3 10 - FoRBERLFT AR B HLIN #Y fe AR R F Tt
QR BT AR B A B TGO TR R, A
A E T,
exclude_rules iR MH JHT 4% — D G5 R A BB A TR AR 4 B A 0 DU ) A G
FE.
h: set :gsarsnode.exclude_rules = [[[fieldl,field2,
field3]].[[field4, field5]]] - Htr, DL [0 0B f4
FRAIREFRT 1T,
num_bins k1334 T X 2 5 B AT 23 2R T AR 1 1B Bl 23 Gk i R

H. B/MEA 2, BRE 10,
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% 101. associationrulesnode JEVF (££)

associationrulesnode JE[4% HiEER B AR
max_Tlist_length 330 F2 T Hm R R MBEM R 7B, F R
Qb F E B Z TR BT JG 3R S TR R A
ARG R MW LT, m/AMER 1, RRMEHN
100,
output_confidence i 7R 8
output_rule_support iR ME
output_Tift iR ME
output_condition_support Vv Y0
output_deployability VY E
rules_to display upto SAE R 3R ORI e R EH
all
display_upto L2378 WAL rules_to display "iZ® T upto, 5k HE
LA R BRI R . BAMEA 1,
field_transformations i R 8
records_summary Vil
rule_statistics i R 8
most_frequent_values Vil
most_frequent_fields VeI
word_cloud Vipie]
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cloud_display R s/AMEN 1, RKREA 20,
max_predictions B AT RIS B i AR AT E 23 A U ) fe K .
criterion Confidence TEFE T AL 5 1
Rulesupport
Lift
Conditionsupport
Deployability
allow repeats TR ME i S 7 70 b B0 5 B R [ 0 Ay R,
check_input NoPredictions
Predictions
NoCheck

autoclassifiernode B4

JURTDABERRES SE T B R AL BT ¥k, T SR SRR, BRIAT DUX A B R Ok

@ “HBI R AT IR L ZougE R (RS, MARSATKS) KA T RER, #H

A7 B R A I DA B X S SR OB R HEATRE R, IF SRR A R A 0B I R — LRI AR s

JRFR R ) 27 B o A% SR ST P
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il

node = stream.create("autoclassifier", "My node")
node.setPropertyValue("ranking measure", "Accuracy")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_accuracy Timit", True)
node.setPropertyValue("accuracy Timit", 0.9)
node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("use costs", True)
node.setPropertyValue("svm", False)

2% 102. autoclassifiernode J&1E.

autoclassifiernode Bift & e pu
target FE YT PR EAR, “H 3288 8w
PAEBR B =P EE A AT
B, 4k, tn DU A A A A
B AAELEH, s 145 50|
(e SRR R AR o [
ranking_measure Accuracy
Area_under_curve
Profit
Lift
Num_variabTes
ranking_dataset Training
Test
number_of models B XA AETE AT Yo b B A, 4
BHLR 1 F] 100 Z[H],
calculate_variable_importance trik
enable_accuracy limit trk
accuracy_limit B F 0 5 100 Z ALk,
enable_ area_under curve limit g
area_under_curve_limit HF AT 00 5 1.0 Z[a)fscsh,
enable_profit_Tlimit trk
profit_limit T KT 0 MEHL
enable Tift_limit trk
Tift_limit HF HREKT 1.0 sk,
enable_number of variables Timit i
number_of variables Timit HF KF 0 KR,
use_fixed cost trk
fixed cost HF KREKT 0.0 M,
variable cost FE
use_fixed_revenue ik
fixed_revenue 7 KRERT 0.0 HYSEE,
variable revenue FE
use_fixed_weight trk
fixed_weight HF HREKT 0.0 M5,
variable weight FE
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£ 102. autoclassifiernode JHPE (££).

autoclassifiernode [Eiff il JEL e pay

1ift_percentile HF F 0 5 100 Z a4,

enable_model_build_time_Tlimit s

model_build_time_limit 7 BB N B, TR A
AR FTAE Bl A IS ],

enable_stop_after_time_limit trik

stop_after time limit HF IR BCE /N RO s, TRz
1T H 37 KA 1 B FERT,

enable stop_after valid model produced i

use_costs iz

<algorithm> tids FUVF B (F 8RR E B,

<algorithm>.<property> FAEEH WEHNEREENEEMHE, HSHFEE
[ B A m vk 1 PIRICE 245 8.

REREREMN
X E1BR S, ST SR, T B P MU SRt T A PO R ok

autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)

i 4mn:

node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

AT HIN LT SN E L LFRE cart, chaid, quest, c50, Togreg. decisionlist, bayesnet, discrimi-
nant. svm F knn,

MT BT R FEAFRF cart, chaid, neuralnetwork, genlin, svm, regression, linear #ll knn,
“HEERE AR HIEATRA twostep, k-means #l1 kohonen,

R P A7 R A5 T T R SO R T SR B HE A4 7

WA SR RAT S B R R B AR RS SR, i

node.setKeyedPropertyValue("Togreg", "tolerance", "1.0E-5")

LN R BL 2 AME, B

node.setKeyedPropertyValue("decisionlist", "search direction", ["Up", "Down"])

B0 Bk I S ik

node.setPropertyValue("chaid", True)

T AR FL LRI A Sh A AR AR OR R, o R e A A RERR E (T, IR A% E WA
BT A9 BR 865 >R P 4 D7 = [0 15 s A BR A A ]
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autoclusternode B

WA, A — A AT P BN R A AL . BB AT B R AC I AT R, DA

“H BRI A BRI R A R AL C SR AL I RIS, 5 i TAE T 305 Hofth B S
I B SRR () A VR DL B AT HE P, BRI — T 7 B T SR

il

node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking_measure", "Silhouette")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_silhouette Timit", True)
node.setPropertyValue("silhouette 1imit", 5)

% 103. autoclusternode J& P

autoclusternode JEH il Bt
A FE E A SRET A, RHE R E
(5B, BN, AN TFARR I I B
EPEAT XA 9 R REJE, AT s TR R Tt
BB R R .
ranking_measure SiThouette
Num_cTusters
Size_smallest_cluster
Size_largest_cluster
Smallest_to_largest
Importance
ranking_dataset Training
Test
sunmary_1imit H AR 4 P9 B B P B T b
2 1 F] 100 Z[a],
enable_silhouette_limit Vi
silhouette limit B AF 0 5 100 Z A AYEAL,
enable_number_less_limit YT
number Tess limit number AF 00 5 1.0 Z[AHs2%,
enable_number_greater_limit iz
number_greater_ limit number KT 0 ByHEL,
enable_smallest_cluster_Timit Wz
smallest _cluster_units Percentage
Counts
smallest_cluster_limit_percentage | number
smallest cluster limit_count B KT 0 HEE,
enable_largest_cluster_limit ik
largest_cluster_units Percentage
Counts
largest_cluster_Timit_percentage |number
Targest _cluster_ limit_count 2578
enable smallest largest limit s
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% 103. autoclusternode JEVE (££)

autoclusternode /Eif i) EERR
smallest largest Timit number
enable_importance_limit W
importance Timit_condition Greater than
Less_than
importance_limit_greater_than number i F 0 5 100 Za] g,
importance_limit_less_than number F 0 5 100 Z[A) A%,
<algorithm> tris FOVF B (1A E s,
<algorithm>.<property> string BER R RN, 52 EE 151
(s v B ER R 1 PRI 245 .
autonumericnode %
H A T S 2 ROR R 5 2 A6 TR R ) SR AR, T R B S A T R
i TAET7 AR, Rt T DA 45 S 00 PR S A B g A 1B op (il ) 2 A i A & AT K A

% ZERNERASEMAENL, C&R R, CHAID, ZREMEIH, 77 SCME A DL R 34 AL
(SVM), WIEEFHICRE, FHASEE R BT AR B O B HEAT X 1L,

il

node = stream.create("autonumeric", "My node")
node.setPropertyValue("ranking measure", "Correlation")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_correlation_Timit", True)
node.setPropertyValue("correlation _Timit", 0.8)

node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("neuralnetwork", True)
node.setPropertyValue("chaid", False)

% 104. autonumericnode J&VE

autonumericnode JEik & e pa

custom_fields trak MR True, 5l FE H 7 Beik B AU 2R
TR,

target FE “H ST SR A H AR T B DL K — A
WA AT, JAh, ol DU A E A
PRFR, GXELEL, WS HE 145 0
[ v 28 LR S 0 AL

inputs [fieldl ... field2]

partition F&

use_frequency bk

frequency field FE

use_weight trk

weight field FE

use_partitioned_data PRk W E LT R B, IR0 25 A T

TR .
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% 104. autonumericnode JEIE (%E)

autonumericnode JEt ] JEL i pay
ranking_measure Correlation
NumberOfFields
ranking_dataset Test
Training
number_of_models B XA AETE R e BT, 48 e A
WAK 1 100 Z A,
calculate_variable_importance s
enable_correlation_Timit &
correlation limit R
enable_number_of_fields_Timit &
number of fields limit B
enable_relative_error limit &
relative_error_limit E2378
enable_model build time Timit &
model _build _time Timit R
enable_stop_after_time_Timit &
stop_after_time limit L2578
stop_if_valid_model trdk
<algorithm> tris SOV AR A E
<algorithm>.<property> string WE T AR, H5 0 151
(S0t o B A w1 PIRECE 245 A,

bayesnetnode E%

AP, A S TR AR L DU (TAN) AIE RTS8k EE AT

@ A3 DU S0 R0 245 AR AT AR PR JEC S T SR A SR B T 7 3 5 BT L R S -4 ofe A i AR
R,

il

node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing_model", True)
node.setPropertyValue("structure_type", "MarkovBlanket")
node.setPropertyValue("use_feature_selection", True)

# Expert tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("independence", "Pearson")

Z¢ 105. bayesnetnode )&t

bayesnetnode &4 =] BEHA

inputs [fieldl ... fieldN] DU oy o & ARl A B AR B DL J—
MR MATER, EeTREE ST
N HEELEE, S 145 )|

[r 2ot WYY A e 9 [
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£ 105. bayesnetnode JETE (££)

bayesnetnode JEft =] B

continue_training_existing model s

structure_type TAN T 1B £ 2 AE A DL I 9 2% A A &5
MarkovBlanket 14,

use_feature_selection i

parameter_learning_method Likelihood 6 78 ALY ASAE T A Y A B Y SR
Bayes F T Ty i,

mode Expert
Simple

missing_values trak

all_probabilities i

independence Likelihood i 28 T 7 P A28 S 1) 00T L 0 12 5
Pearson FRE S T 8.

significance_level number A8 T8 8 S Y 3 RE.

maximal_conditioning_set number B T 2 S T A A% 1 A8 Y e R

H

inputs_always_selected

[field] ... fieldN]

Fi 2 st DL I 40 90 4% Bsf 4 226 7 1) 23l
TE.
E IRZUERE HAR T BL

maximum_number_inputs number ¥ 7 A6 7 DL I 30r (R &% Bs et FH A g A BRI
e REH.

calculate_variable_importance s

calculate raw_propensities s

calculate_adjusted propensities i

adjusted_propensity partition Test

Validation

buildr Ef%

R

il

node = stream.create("buildr", "My node")

node.setPropertyValue("score syntax",
result<-predict(modelerModel,newdata=modelerData)

modelerData<-cbind(modelerData,result)

varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure=

fieldFormat="",fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")

“R AT S ERRE S f A E Il R A4S, DI4fT IBM SPSS
Modeler H#[E A5 D ) 3 RIS RLIF 43,

un
b
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X 106. buildr JETE.

buildr B & EiEiR
build_syntax FIF e XEMTHETREMER R EAEE,
score_syntax FIH R T HATRIE ) R AT,
convert_flags StringsAndDoubles [l R Y AR A
LogicalValues
convert_datetime prk BE eI o6 B H e E ke A% =0 A2
BEH R H B/ X,
convert_datetime_class POSIXct XS0 I T 45 8 O H O H i a] % =
POSIX1t AR e 4 A 2 5K
convert_missing tris BERETA T4 SRR e R ONA i,
output_html PR LRI F7E RO Herp 2 10 -R kBRI
.
output_text R BEBETUR TH R G ORI S 2 R B
Pl eI
c50node E¥
C5.0 7 A g SR BN B, AR B T A SRR AR PR A A B AL AR KA R 1 7 B4y
BB, BARFEUACN R, RV SR ST W TA005 34,

il

node = stream.create("c50", "My node")

# "Model" tabnode.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "C5 Drug")
node.setPropertyValue("use_partitioned data", True)
node.setPropertyValue("output_type", "DecisionTree")
node.setPropertyValue("use xval", True)
node.setPropertyValue("xval_num_folds", 3)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child records", 3)

# "Costs" tabnode.setPropertyValue("use_costs", True)
node.setPropertyValue("costs", [["drugA", "drugX", 2]])

#107. ¢50node &tk

c50node B & R

target B C50 HERY (A B Ans B K — A~k 2414
AT, Ao, B ENE B, AL
WLEHE, HEPEE 145 TUR 1 A dk ki

output_type DecisionTree
RuTeSet
group_symboTlics ik
use_boost s
boost_num_trials number
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2 107. c50node JEVE (45)

c50node [EfE 4= B#R

use_xval trids

xval_num_folds number

mode Simple
Expert

favor Accuracy 0 516 PB4 O 1 e O o
Generality

expected_noise number

min_child_records number

pruning_severity number

use_costs ik

costs Sttt XIEE AR,

use_winnowing i

use_global _pruning s BE NG (True) |

calculate variable importance trid

calculate raw_propensities i

calculate _adjusted propensities |#pids

adjusted_propensity partition Test
Validation

carmanode E¥

P CARMA BEEIAE AN ZOR P fi e i A B H AR 7 BRI 00T WEE S — 4180, 5 Apriori K[,
@%@ CARMA 5 s f2 A MU B B Sc R CRTIIURIG EHS ), M UBUR AT HRE. kil SR A A
ORI AT U T 58 2 3 AR e, ln A 4™ dh sl e 55 CRTIR) ROB13R,  1X 287 il AR 55 1
T RELLE T SU3TE)Ai2

il

node = stream.create("carma", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("use_transactional _data", True)
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])
node.setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use model name", False)
node.setPropertyValue("model_name", "age bp drug")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("min_supp", 10.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_size", 5)

# Expert Optionsnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("use_pruning", True)
node.setPropertyValue("pruning_value", 300)
node.setPropertyValue("vary support", True)
node.setPropertyValue("estimated transactions", 30)
node.setPropertyValue("rules without antecedents", True)
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2% 108. carmanode JEME

carmanode BT i) EiiR

inputs [fieldl ... fieldn] CARMA HRIE i A7 Bedl3, (0 H
PrEB., A REFERMREER, X
W5 H, 20 145 G0 1 20 Sk k)
E

id_field FE e B T AT R A AR TR S B

contiguous ik HT e bl B bR R g 2L,

use_transactional_data b

content_field FB

min_supp number(percent) S0 RS, TN SR A SRR
*K. BEEA 20%.

min_conf number(percent) BEE N 20%.

max_size number A E R 10,

mode Simple BB N Simple,

Expert

exclude multiple trik HebR H A 2 A8 RN, GR4E{E R False,

use_pruning ik BN False,

pruning_value number BRAEE 500,

vary_support s

estimated_transactions R

rules_without_antecedents iz

cartnode Eft

/E\,] SrIERIENE (C&R) A5 i A AT T B 3 SR AR IR IEL O DR SR, 120 ¥kl i e A 8 R iR

w RIRBEFRARALE T, M9 7 DORK IZRIC R R0 4L, AR 3155 100% B9
BT HAR T B — 2R, IR RSO E A, AR A AT BT DUR BT
Blark (B, ARFERE) 5 Fran®lEsy=oomns (AU ERmAF4) |

il

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])

# "Build Options" tab, "Objective" panel
node.setPropertyValue("model _output type", "InteractiveBuilder")
node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("tree_directives", """Grow Node Index 0 Children 1 2
Grow Node Index 2 Children 3 4""")

# "Build Options" tab, "Basics" panel
node.setPropertyVa1ue("prune_tree", False)
node.setPropertyValue("use std err_rule", True)
node.setPropertyValue("std_err multiplier", 3.0)
node.setPropertyValue("max surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use percentage", True)
node.setPropertyValue("min_parent records pc", 5)
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node.setPropertyValue("min_child records pc", 3)
# "Build Options" tab, "Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)

node.setPropertyValue("impurity measure", "Twoing")

# "Model Options" tabnode.setPropertyValue("use model name", True)
node.setPropertyValue("model _name", "Cart Drug")

Z£109. cartmode &P

cartnode Bt & Bl
target FH C&R MR T E A H AR 7Bl S — A a2
MATB, 75k, ] DIIE E R TR,
HREZER, WHSHE 145 U « 2 dk g
By R T 8L
continue_training_existing model |#pids
objective Standard psm ATIAEH K EDESE, FRIRFFHEE Server &
Boosting .
Bagging
psm
model _output_type Single
InteractiveBuilder
use_tree directives Y
tree directives string M TR AR S, XEhiEAT
DIFETE =H 515, DIl 5 SO 47 505
TR, Phie A AT RE X B S R
1 40 A A e BERORR, I HL AT RE okl T
oA BidE 4R
use_max_depth Default
Custom
max_depth B RAMEEN 0  FE 1000, R7E
use_max_depth = Custom F{fi F,
prune_tree trik Bk, DL LA,
use_std_err ik BRI R KU ZE (B (B2 ) .
std_err_multiplier number Rz,
max_surrogates number T AR,
use_percentage s
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs ik
costs Enyayia Sithfbm k.
priors Data
Equal
Custom
custom_priors Enyalia S E Pk,
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% 109. cartnode JETE (%)

cartnode JEit & B
adjust_priors YT
trails number FHT 4 0 w3 20 2 1) 21 1 B 5,
set_ensemble method Voting o3I AR B 4 E H,
HighestProbability
HighestMeanProbability
range_ensemble_method Mean HELE F bR A LA B,
FR{iL%
Targe_boost tris of A Y 14 R 4R I AR E
min_impurity number
impurity_measure Gini
Twoing
Ordered
train_pct number Bij 1k 3 BERL A A
set_random_seed ik 5l R T,
seed number
calculate_variable_importance Vi
calculate raw_propensities trids
calculate_adjusted propensities |#5ds
adjusted propensity partition Test
Validation

chaidnode [E%

A, e RUEAE =, X ERE AL BN A 2 TR 3. B iR A5 Bo DUR ST
Bl (i%28) 8532, Exhaustive CHAID J& CHAID HYEIERR, EXIATA 70 EIHEAT EAIRAK 2,
(ER ] ig

4&% CHAID {fi FI-RI7GEV kA stk Set, LU fefE A5 ). CHAID 5 C&R Al QUEST 55K
& ]

il

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("chaid", "My node", 200, 100)
stream.link(filenode, node)

node.setPropertyValue("custom _fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "CHAID")
node.setPropertyValue("method", "Chaid")
node.setPropertyValue("model _output type", "InteractiveBuilder")
node.setPropertyValue("use tree directives", True)
node.setPropertyValue("tree directives", "Test")
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("merge_alpha", 0.04)
node.setPropertyValue("chi_square", "Pearson")
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node.setPropertyValue("use percentage", False)
node.setPropertyValue("min_parent_records_abs", 40)
node.setPropertyValue("min_child_records_abs", 30)
node.setPropertyValue("epsilon", 0.003)
node.setPropertyValue("max_iterations", 75)
node.setPropertyValue("split_merged categories", True)
node.setPropertyValue("bonferroni_adjustment", True)

% 110. chaidnode J&1E

HighestMeanProbability

chaidnode [Ef% [i=} e
target FE CHAID #MHEAA HARF B — i
M ATBL RAh, & DR E R T B
ARELZEE, WS 145 50 1 ke
(B R« 3=,
continue_training existing model |45k
objective Standard psm ATIAEH KM EPEE, FRINHE Server %
Boosting .
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives s
tree_directives string
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth B RAMEEN 0  FE 1000, R7E
use_max_depth = Custom FJfi Ff,
use_percentage i
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs trids
costs ittt gitfb )@ k.
trails number JHF 0 SO2H 2 1) 2 A AU
set_ensemble_method Voting SR E R EAE AR,
HighestProbability

range_ensemble_method Mean Lk A AR B 2 A N,

HrfiE
large_boost trak O E | PN N DR €1 TR VAR 8ii
split_alpha number T PAT 2 #0 2 E HKE,
merge_alpha number T AT I8 B KT,
bonferroni_adjustment i {#i i Bonferroni ¥ 7H%& I} 2 (i,
split_merged_categories frik FOVFRT G IE I IS BT R4 .
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2 110. chaidnode & (4%)

chaidnode B4 & EEER

chi_square Pearson XIEMTHE RGN Pearson T BIAA
LR t

epsilon number HHTER B TS 2R I i NV AR

max_iterations number W SR foe KB ARICEL

set_random_seed B

seed number

calculate_variable_importance ik

calculate raw_propensities i

calculate_adjusted propensities |45

adjusted_propensity partition Test
Validation

maximum_number_of models R

coxregnode JEf%

A Cox [EIHH A, el IAEC AT AR AL IO 5% o SLIN TA] S PR AR 77 AR, Gl 2 A pl— A
Fref B, V%R BT BAE SR TE N TE] () PO BIrds 7 19 i A S B (EAH S 30 A9 K AR R

il

node = stream.create("coxreg", "My node")
node.setPropertyValue("survival time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal criterion", "Conditional")
node.setPropertyValue("survival", True)

F 111. coxregnode J&1E

coxregnode JE¥ il B

survival_time FB Cox  [a] I #5575 B2 88 A0 35 A A7 I 1] 7 =7
B.

target FB Cox [a] ITFEHY i B H AR 7 B A By — A ak

ZAMATE, AREZER, i%%l
[145 v o S e By SR 1 [ L

method Enter

Stepwise

BackwardsStepwise
groups FE
model_type MainEffects

Custom
custom_terms ["BP*Sex" "BP*Age"]
mode Expert

Simple
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£ 111. coxregnode JHPE (££)

coxregnode B =) B A
max_iterations number
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
removal_criterion LR
Wald
Conditional
probability_entry number
probability_removal number
output_display EachStep
LastStep
ci_enable i
ci_value 90
95
99
correlation s
display_baseline i
survival s
hazard ik
Tog_minus_Tog trdk
one_minus_survival s
separate Tine FE
value BT TR AR FA T BAR E A, 2K X% T

Bl PB4 IS .
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decisionlistnode 4%

@

il

PSR WOTAR IR F A BB, oS B A4S E IS R M RUREERY R, fldn, ey
TE - HRARLE fe N AT AE LR A 5 1 sl AT RE S K6 T ol 18 sl H AR 7 9 7% 7 .t A ] B
HHEPUE A AR R U R, T LK B C A 55 AR IR BIAE R v DR S5 R BTy — 2 L
WA, Hr AR — A SR — A5 R, BUAIBU F,  AHI BC BY 58 — A AL UDA e
iR,

node = stream.create("decisionlist", "My node")
node.setPropertyValue("search _direction", "Down")
node.setPropertyValue("target value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group_size pct", 15)

F£ 112. decisionlistnode JBE
decisionlistnode E4 LT B
target FE “YSR I R BRLAE A H AR DL K — B 2
MAF B, I35k, AT LUE E SR B
HRELZER, WS 145 T 1 A JE
model_output_type Model
InteractiveBuilder
search_direction Up HERBAMK, Ko Up A TR, m
Down Down Af 24 F {57,
target_value string WRRAGE, MAbrER R true A,
max_rules k1534 [C NI TN/
min_group_size B SN N
min_group_size pct number /BRI (DEEZHRIR)
confidence_level number T AT BRI E B e SO S
i\ T B 20K i R ABL AR BE B (AR TH) R
/MBI,
max_segments_per rule HH
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count number
max_models_per cycle Y IR RTEE.
max_rules_per cycle 37 BORNI8 R TE 2,
segment_growth number
include_missing ik
final_results_only Rk
reuse_fields trk VP E S B E O IR AL b A A
B) .
max_alternatives BH
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% 112. decisionlistnode JBTE (%)

decisionlistnode [ & e
calculate raw_propensities Vi
calculate_adjusted propensities |#rids
adjusted propensity partition Test
Validation

discriminantnode B

IR M T BB L ogistic [B] U MBI B ™4, (ELAERT X LUl L, F 51704 T LAFE A logis-
tic [ IR A AR AR S A T,

)

il

node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("method", "Stepwise")

% 113. discriminantnode J&1E

discriminantnode B4 & Bl
target FEB R R E A B AR T B S — Al A
WA TFBL A HARCE B RE T B, A
KELAEE, WS 145 5L 1 A3t
method Enter
Stepwise
mode Simple
Expert
prior_probabilities AllEqual
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
e trak e 2 R AR PR A ST L
univariate_anovas ik
box_m &
within_group_covariance i
within_groups_correlation iz
separate_groups_covariance trids
total covariance &
fishers ik
RAREN trak
casewise results trk e i R T HE T Y 43 28 TR T,
Timit_to_first number BRAEE N 10,
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% 113. discriminantnode J&1E (%E)

discriminantnode B4 i) e
summary table trids
Teave_one_classification ik
combined_groups trids
separate_groups_covariance trik HPEIETENFTE .
territorial_map trik
combined_groups trak BUREIET BRE4AE .
separate_groups bRk AR JRITEE |
summary of_steps ik
F pairwise tris
stepwise_method WilksLambda

UnexplainedVariance

MahalanobisDistance

SmallestF

RaosV
V_to_enter number
criteria UseValue

UseProbability
F_value_entry number BRAEE N 3.84,
F_value_removal number BRAEE R 271,
probability_entry number R E R 0.05,
probability removal number BB (E R 0.10,
calculate_variable_importance s
calculate _raw_propensities trids
calculate_adjusted propensities |#pds
adjusted_propensity partition Test

Validation

factornode E4%

“PCA/PR 747 s J (3t FH T PR B0 S 2 e BE 11 58 R PR EHOR. i (PCA) m[ 4K Hi

@ ATFBIERA G, ZAGREMIHR TENFEREGPNTZE, HAGH RS M LIESR
(FEEE) . WFodr iR RZF R, X8R RS T I 7 BLEE A A G L
Ko W TR, HIE Y E AR AR AT G B A P (R B AT A RO A Y A R A
T

il

node = stream.create("factor", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use_model name", True)
node.setPropertyValue("model_name", "Factor Age")
node.setPropertyValue("use partitioned data", False)
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node.setPropertyValue("method", "GLS")

# Expert optionsnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", True)
node.setPropertyValue("matrix", "Covariance")

node.setPropertyValue("max_iterations", 30)

node.setPropertyValue("extract factors", "ByFactors")

node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" sectionnode.setPropertyValue("rotation", "DirectOblimin")
node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

% 114. factornode J&1E

factornode JE

&

e pa

inputs [fieldI ... fieldN] “PCA/HF BRI il A FBed &, (AR
ME bR B, Al AU 5 BRI R 5 B
ARELZER, WS EE 145 U 1 kel
Y U T 8 L
method PC
ULS
GLS
ML
PAF
Alpha
Image
mode Simple
Expert
max_iterations number
complete_records trik
matrix Correlation

Covariance

extract_factors

ByEigenvalues
ByFactors

min_eigenvalue

number

max_factor

number

Tieks

None

Varimax
DirectOblimin
Equamax
Quartimax
Promax

delta

number

AR R DirectObTimin A Ay ie i Hdh (1 2%
Al IR4mTLIFEE delta (1H,

MR ARAEE — A, IS2KH delta My
{H.
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% 114. factornode JEME (££)

factornode Bt & EtEiER

kappa number ISR BEFE Promax ARyl B iy 28, HR2,
ATRAEE kappa HA1A.
WERARARE —ME, 2K kappa AYGRE
fH.

sort_values ik

hide values ik

hide_beTow number

featureselectionnode Eft

‘/’\,\] SRR R RUR I — A A0 (BB A0 ) T BBk R A 7B, RJE, M T i8E
Bl HARG AT 5 AR Z AR IEATHERE, B0, (RAnEEA4 ERdn A LT METEm A, A8 AlpLy

i N\ B AT ] RE T R G AR AT A 2

il

node = stream.create("featureselection", "My node")
node.setPropertyValue("screen_single_category", True)
node.setPropertyValue("max_single_category", 95)
node.setPropertyValue("screen missing values", True)
node.setPropertyValue("max_missing values", 80)
node.setPropertyValue("criteria", "Likelihood")
node.setPropertyValue("unimportant_below", 0.8)

node.setPropertyValue("important_above", 0.9)

node.setPropertyValue("important label", "Check Me Out!")
node.setPropertyValue("selection _mode", "TopN")

node.setPropertyValue("top n", 15)

A SRR R PP B 9 STV R, T 2 DER 4 DUAK v ST IRA R B A URRAE A 4 |

% 115. featureselectionnode J&1E

featureselectionnode /Bl & ek 3e

target FE CRRAE 6 £ R AR AT T 48 22 B4 H A X F
A B AT HERR, RO ACE S B R AR
B, AXRELER, ESRE_145 )
[r 2 SR ATy AU o [,

screen_single_category trds MRSy True, A2 5 PEARX TI0 7B %L
& FA KA HA T 2l B

max_single_category number F8E screen_single_category A True i}
i A I 1A

screen_missing_values trdk WK True, IB2H 0 B AT 26K AH
B, FREERRMEESENE S
L.

max_missing_values number

screen_num_categories tri WERA True, BN AR X TI0 5% S AL
[IEEEREZ S ESES
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£ 115. featureselectionnode JETE (%E)

featureselectionnode [t & e
max_num_categories number
screen_std_dev trdk WKy True, AB2H5 0 EAn il 22 /N T 8l 5%
TR R/ AMER T BL
min_std_dev number
screen_coeff_of_var trds MRy True, AB2H 0 1% 7 22 RECUNT 5
TR R/MER T BL
min_coeff_of_var number
criteria Pearson AR 7 26 H AR NS 2 26 00 A% R AT HE R
Likelihood I, 5 B TR A
CramersV
Lambda
unimportant_below number BT AR R HER <l 2, bR
AEEH p BE, %2 0.0 # 1.0 [
.
important_above number M 0.0 # 1.0 BfHE.
unimportant_label string F R E B HERR AR AL
marginal_Tabel string
important_label string
selection_mode Importancelevel

ImportanceValue
TopN

select_important

&

1 selection_mode WHEN
Importancelevel I, 5@ &Mk EmE”
FE.

select_marginal

trik

1 selection_mode wE N
Importancelevel W}, 1§ E &M EE bR
FE.

select_unimportant

e

1E selection_mode wEN
Importancelevel I, F8E GRS AREE
TFE,

importance_value

number

1 selection_mode WE N
ImportanceValue W}, #5x& Z4 M4 %
i, #3520 #| 100 f9fH.

top_n

1t selection_mode & A TopN B, #§&
BAE IR FUE, B2 N 0 B 1000 F1E.

genlinnode [E4%

PEARSC, TH, RS iR AR RS IEIES AT, B RESR I ERIGH hhE, Hh AL

TR — B BT TR, R PR AR R g A R A S e RS TR AR R
i

PEENEL, logistic [810H, I - X08s #9 X B AR Y LR DX TR 26 A= A7 A

Zn|
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node = stream.create("genlin", "My node")
node.setPropertyValue("model _type", "MainAndA11TwoWayEffects")
node.setPropertyValue("offset_type", "Variable")
node.setPropertyValue("offset field", "Claimant")

# 116. genlinnode &1

FixedValue

genlinnode [Eff B JEEE370

target FE JUSCER MR EOR A B AR B (A —
MESHRE) , Uk—-1HZ M amAF
B, 54k, AR ENETR, AXEZL
58, HS R 145 T ¢ AR EEY SUE]
A,

use_weight Vi

weight_field FE& FRER DG ELT,

target_represents_trials YT

trials_type Variable

MainAndAl1TwoWayEffects

trials_field FE TR EEEL, B
trials_number number HAEE R 10,
model_type MainEffects

offset_type

Variable
FixedValue

offset field T FRAEM N FEL
offset_value number WU SEH
base_category Last
First
include_intercept bR
mode Simple
Expert
distribution BINOMIAL IGAUSS: ¥ 40T,
GAMMA NEGBIN: 1 —Ji=t,
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL
negbin_para_type Specify
Estimate
neghin_parameter number Bl 1 A AR SRR,
tweedie_parameter number
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£ 116. genlinnode JEPE (££)

genlinnode [E B BIEHER

Tink_function IDENTITY CLOGLOG: FAMAUN 4k,
CLOGLOG LOGC: X HCkh R,
LOG NEGBIN: i i,
LOGC NLOGLOG: 7 WX 4.
LOGIT CUMCAUCHIT: ZF Cauchit,
NEGBIN CUMCLOGLOG: S FH H MR 4K,
NLOGLOG CUMLOGIT: ZF Logit,
ODDSPOWER CUMNLOGLOG: ~ ZFH i XUkt 4.
PROBIT CUMPROBITZE A Probit,
POWER
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT

power number (AR AR Z S8

method Hybrid
Fisher
NewtonRaphson

max_fisher_iterations number BRAEE R 1, R IR,

scale_method

MaxLikelihoodEstimate
Deviance
PearsonChiSquare
FixedValue

scale_value

number

BB 1 BIRT 0.

covariance_matrix

ModeTEstimator

RobustEstimator
max_iterations number B A 100; H el FAE R,
max_step_halving number A 5 HAVE lEREEL,
check_separation s
start_iteration number BRAEME A 20; R AVERE A IE R AL
estimates_change W
estimates_change min number BRAEE N 1E-006; H AV HIEEL
estimates_change_type Absolute

Relative
Toglikelihood change e
Toglikelihood _change min number HOAVEl I IESL
logTikelihood_change_type Absolute

Relative
hessian_convergence i
hessian_convergence min number H AV RS,
hessian_convergence_type Absolute

Relative
case_summary ik
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% 116. genlinnode JEME (£E)

genlinnode [E # ElA
contrast_matrices trik
descriptive_statistics Iz
estimable_functions ik
model_info Wz
iteration_history ik
goodness_of fit s
print_interval number BRI 1 WA IR,
model_summary b
Tagrange multiplier ik
parameter estimates ik
include_exponential ik
covariance_estimates ik
correlation_estimates &
analysis_type Typel
Typelll
TypelIAndTypelll
statistics Wald
LR
citype Wald
Profile
tolerancelevel number S (E N 0.0001,
confidence_interval number A A 95,
loglikelihood_function Full
Kernel
singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
value_order Ascending
F% % (Descending)
DataOrder
calculate_variable_importance YT
calculate _raw_propensities trids
calculate_adjusted propensities |5z
adjusted_propensity partition Test

Validation
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glmmnode E%

SHET AR, FHOME AT REARC, T IR A A5 A o DA 7 P 2 P[] U1 A6 70 )

. USRI A B (GLMM) 7 T2 ME R, (45 H AR iT I R IEAS S0, sl 45 1 1 G 1K R K

FEIEZSIN 1w $d 1 S % 2 B ) 25 B

% 117. glmmnode JHTE.

glmmnode JEtE B EBE#R

residual_subject_spec EnyaNia KRR EMN I RFRMEAS, HHEHE—
e SCEHR AR P K,

repeated_measures Zittt X80 B T AR R A L

residual_group_spec

[field] ... fieldN]

S B T S S ROV T O 22 2 RO

X
3L

residual_covariance_type

Xk (Diagonal)
AR1

ARMA11
COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED
VARTANCE_COMPONENTS

4,
2

BRAA R 7 2245 4.

&

custom_target

tris

T8 B 6 e B0 58 LI B AR (false) I8
sl target_field @RI EHIHAR (true),

target_field FE EREERIFER (IR custom_target fy
true) .,
use_trials FRk 87 H b o — 23 v AR Ak 2
IF, 2 A DT 4 e e 5 B o == B
6. BEEH false,
use_field_or_value FEB e B B (B4 ) R ks e ik 1
Value 5.
trials_field FE I B T4 e I 4.
trials_value B M T A, wiRds it m ik, 8
i/ MEA 1,
use_custom target reference FR K ERNSZRNMT I KB R. hEHE
A false,
target_reference value TR BN ZSE LG (R
use_custom_target reference A true) .
dist_link_combination Nominal H bR A 404 i A FER . 4% Custom w] DA
Logit F8E target_distribution Lg% F )
GammaLog Baiil
Binomiallogit
PoissonLog
BinomialProbit
NegbinLog
BinomiallogC
Custom
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£ 117. glmmnode JHIE (£5).

glmmnode JEf% =) IR i pa
target_distribution Normal 24 dist_Tink_combination 4 Custom I H#s
Binomial [ERiDpaii

Multinomial

135 (Gamma)
Inverse
NegativeBinomial
Poisson

Tink_function_type Identity X T A5 PO A G Y IR R 4K
LogC A target distribution Jy
Log Binomial, JRafnl LIfi ]
CLOGLOG B O AR OCHR R &, T 2R
Logit target_distribution %
NLOGLOG Multinomial ZAMKMEMIME, AT LI
PROBIT CLOGLOG, CAUCHIT, LOGIT,
POWER NLOGLOG = PROBIT, i
CAUCHIT target_distribution K
Binomial T Multinomial ZAMWAEAI{E, IS
2RI DL B IDENTITY, LOG Ei POWER.
Tink_function_param 7 B KRS BE., LY
normal_link_function @ Tink_function_type
i POWER i 7438 .
use_predefined_inputs trk $6 7 18] 7 B8 7 Bt g SOk i\ T B B
(true) &k H fixed effects Tist
(false), BR&{E AN false,
fixed_effects_list Ztte I use_predefined_inputs & false, A4
8 7 W A T B TR I 8 R 7 B
use_intercept tris WRKy true (), IF2TFEBT A5
fise
random_effects list HHE YR A BB 18 2 15 B3
regression_weight_field TR e B AR A T A 7
use offset None feR 48 2 P %, fH None FRAMEHT

offset_value
offset_field

#%.

offset_value HF use_offset ¥ & & offset_value W U
1.

offset field FE use_offset ¥ & K offset field W} HT V%
HHYFE.

target_category order Ascending SR BERHEFENE, {4 Data F5:& Ml %R

f%% (Descending)
Data

Y HERF U, SR Ascending,

inputs_category_order

Ascending

f&% (Descending)
Data

Sy TRINAE B HEFIY. H Data $57 fili il
Bl HEFEIF . B4R Ascending,

max_iterations

bii534

BBk EAT B e Rk AR R, AR TR
BREE 100,
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£ 117. glmmnode JHPE (£5).

glmmnode JEf4¥ B BEHER
confidence Tevel k33 X2 T SR R B DX A T R B AR
EAGN. G RN 100, BREE N
95,
degrees_of_freedom_method Fixed fROE T A b B DT R AR g
Varied
test fixed effects_coeffecients |Model TR SRV 7 2250 1 07 0k,
Robust
use_p_converge trik T S S e 15,
p_converge HF EEERERONRIN
p_converge_type AbsoTute
Relative
use_1_converge trdk FHTXF B A SR U S5 6 13,
1_converge HF EEETIRONXIN
1_converge_type Absolute
Relative
use_h_converge trik JIT Hessian W8Iy BEI0,
h_converge 7 SIEERIRONRIN
h_converge_type AbsoTute
Relative
max_fisher_steps B
singularity tolerance HF
use_model_name tris TR JE A BLE E 2 H44FK (true) IR &R
G AR (false), A false.
model_name FAFHR W use model name Jy true, AFAFEEM
LT K.
confidence onProbability VHREPE o> AR (A A At R S A R
onIncrease B 5 I e T e 22 22
score_category probabilities s RN true, W2 A5 H bRA BTN,
BA R false,
max_categories A N score_category probabilities W
true, HBAf8E AT R SIER,
score_propensity trik WA true, ML APRICH 45T B AU A PF
5y, TR TFBLAS A R true” Y T RE
emeans structure XF T E A R PR A KT B, 1RE
A AL T BRI (.
covariance list structure T 1 RV B R A ES T B, 1R
BN VT 3 B 24 IS 2 A 24 (0 2 E
fH.
mean_scale Original HBERREERMWIRERE () TR
Transformed 8 IR bR R e v AT L BR  (.
comparison_adjustment_method LSD XF 22 A X e PRAT Ml A B I R O R 7
SEQBONFERRONI i,
SEQSIDAK
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gle E

: GLE ¥ JB T LA, #4538 Frn] I IEIES 0, 838 2 1Y I el S IR 7 AL i 2 A
%, HEVLIME AT REAN G, T MR A A5 50 iR T DA TR B [ U R 39 S T 2SN ) Bl A2 A
22 T 1) 45 TSR
£ 118. gle Jg 1t
gle B & Bt
custom_target ik FEUR A e BT S E L B AR (false) &M

target_field f57EMERHAR (true).

Nominallogit
BinomiallLogit
BinomialProbit

target field FE FEHEHRM B (WHE custom_target K
true) ,
use_trials trs a7 B bR 2 — e T R AR AR Z AR, 2
A T4 o 1 B B B e, B EA
false,
use_trials_field_or_value FE TR R T B () S ks il Ak,
Value
trials_field FE I B T4 i s A
trials_value integer S T4 e I g, i RAs i m vk, B2/
HHR 1,
use_custom_target_reference tris Rl EMSEZERINMT o EEIR, BEER
false,
target_reference_value string 2N SE LN (R
use_custom_target_reference 4 true) .
dist_link_combination NormalIdentity H A8 B 704 ) 2 LAY,
GammalLog PEFFE CUSTOM mJDI#57E target distribution Frifit
PoissonLog M BRI A,
NegbhinlLog
Tweedieldentity

Multinomial
035 (Gamma)
INVERSE_GAUSS
NEG_BINOMIAL
Poisson
TWEEDIE
UNKNOWN

BinomiallLogC
CUSTOM

target_distribution IE# (Normal) 24 dist_link_combination >4 Custom B HFR{E 14>
—In KT
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118, gle JEIE (£8)

gle Bt & ElEER
Tink_function_type UNKNOWN X T H AR A S O AS SR OCR CBR IR . N
IDENTITY R target distribution 24 Binomial, HFAfnLI
LOG il F1:
LOGIT UNKNOWN
PROBIT IDENTITY
COMPL_LOG_LOG LOG
POWER LOGIT
LOG_COMPL PROBIT
NEG_LOG_LOG COMPL_LOG_LOG
0DDS_POWER POWER
NEG_BINOMIAL LOG_COMPL
GEN_LOGIT NEG_LOG_LOG
CUMUL_LOGIT 0DDS_POWER
CUMUL_PROBIT I target_distribution &y NEG_BINOMIAL, Ff2
CUMUL_COMPL_LOG_LOG fn] DL :

CUMUL_NEG_LOG_LOG
CUMUL_CAUCHIT

NEG_BINOMIAL,
A target distribution Jy UNKNOWN, HSA%AT LA
i :

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_LOG

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

Tink_function_param number L D] Tweedie SHE. LY
normal_link_function ¥ link_function_type W
POWER I 743 1.
tweedie_param number BN XBE B S HE, T
dist_Tink_combination i%# & Tweedieldentity,
% 1ink_function_type & TWEEDIE i H.
use_predefined_inputs PR FR RSO 7 BUR A SO AT B B3R (true) 38
JERH fixed effects Tist (false),
model_effects list ZEE 4 use_predefined inputs 4 false, HBAIEEW
i A\ BV E BT S B
use_intercept R WRA true (L) , IBLAERERI AU FEE .
regression_weight_field FE S B A e A o B
use_offset None FeoRUMT 3G E - F. {5 None Fm A HT#.
1B (Value)
x8
offset_value number use_offset & & offset_value HJffi FHAY-F-FE{H.
offset _field FE use_offset & &N offset field I HT FBEMNF
B,
target_category_order Ascending SAEBWRHEFEN . BA{E N Ascending,
Descending
inputs_category order Ascending AT B HEFE U, S48l N Ascending,
Descending
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K 118. gle JATE (%)

gle B =] e :3e

max_iterations integer BERE BEPRAT I B B R, AR U RG BRAE(E
A 100,

confidence_level number X T Y A B TR A VT (A B AR
Al AEEEL RRMES 100, BRAEEN 95,

test fixed effects_coeffecients |Model e M TR SHAG U 7 ZH R k.

Robust

detect_outliers ik 1ER true I, FEERGRZ UM SMITA 200 H50R
BIRHH,

conduct_trend_analysis trik 1EH true B, FEIATHCST I BB E T

estimation_method

FISHER_SCORING
NEWTON_RAPHSON
HYBRID

FRE T R R AT RETEAG VT304,

PEARSON_CHISQUARE

max_fisher_iterations integer H 4Ll Fl FISHER _SCORING estimation_method, B4
S REAEL RMER 0, FRKIEA 20,
scale_parameter method MLE e HTRESEASEN bk,
FIXED
DEVIANCE

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

scale_value number {NAE scale_parameter method ¢4 Fixed 7 H]
H.

negative_binomial method MLE ¥ T o 0 B 2 B 5 O

FIXED

negative_binomial_value number {NFE negative_binomial _method i%# & Fixed WA
A .

use_p_converge R TS B0l Sl e,

p_converge number 25 H BRI IE{H.

p_converge_type s True = #i%}, False = A%}

use_1_converge trdk FHT X B A SR W S5 613,

1_converge number EEERIRONA:N

1_converge_type ik True = 48X}, False = AHX}

use_h_converge trids T Hessian WS LTI,

h_converge number 25 F BT IEE.

h_converge_type trik True = 48X}, False = FHXf

max_iterations integer BERE BEPAT I B R R, AR UG B
A 100,

sing_tolerance integer

use_model_selection trik J T2 50068 (A T 0k 45 7 vk 4

method LASSO i E R e T vk, oCE IR T Ridge, IBAfE

M5 ik,
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#118. gle JBME (45)

gle Ei% 18 EiERA
detect_two_way_interactions PRk TEA True I, BERLKE B Sl % A5 B 8] B 3w
R,
ITERBE BRI R 0y, (W, M PR o 5
RN ) FF H kTR method RemETE I, “BER
ECTHPE 45 A AR .
automatic_penalty_params trdk {UAERITEFE method g Z ul stk N 26 I A 1]
.
i JH A bR S DL A <A R o ) A R
EH RIS S5
WA True, ARZKAEBREME, WA False, B
20 MRS S 50T H T A€ i,
Tasso_penalty param number AT EFE method Ne“BER S kM 43 A
automatic_penalty params 4 False A w fl, 15
ECERNENSEUAE.
elastic_net_penalty paraml number {LAERRIEFE method N“BE R o g P 4 I H
automatic_penalty params “fy False B4 n] A, +8
FECHMER L 25 1 RIS 5.
elastic_net_penalty param2 number {AERBRY I FE method Bl itk [ 2% I H.
automatic_penalty params 4 False HfA 0], 3§
ECTREM 2 S8 2 MIETTSHUAE.
probability entry number INAEBER Y method SR i 2 3" I A 0] . 45 & 5%
Wt & F Gt i B ARy WPk,
probability_removal number INAEBEH Y method SA“Tal R & #E B AT, 525
W MMER 0 F Seit (5 B AR B KT,
use_max_effects trak AAE S ) method Sy [ fif A5 g I 74 AT .
Ja H max_effects i,
TEy False I, €08 MRV 1 BAE B8 By 46 T 1 ik 45
TR P 2 R 25 R
max_effects integer g 5 ff T 10 7 25 S AR 7 TR I B /NN B
use_max_steps R JeiH max_steps .
TE False I, B4 BREUN 1% 4R AL B A RLY.
B = A5 2.
max_steps integer TR ETEA AT #E A method HHE R I AY I K
use_model_name PR TR R W REE E I AFR (true) IR R
M2 (false). BRAEHN false,
model_name string A use_model name 4 true, HRAFEEM AR
AR,
usePI trik WA true, 2K THHTINAS 5 8 T,

%13 & kel s 179



kmeansnode E¥

P K-Means 3 AU SRR REURTIAML (SR . il LB OB, M)
& RLLAH, DLRRBERATD, BB LT BB, kmeans T Aff Jy—Fh IRl oy
a IO, EHRRETEGR, TTRBRE A A5 AT B 10

il

node = stream.create("kmeans", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K", "Age"])
# "Model" tabnode.setPropertyValue("use_model name", True)
node.setPropertyValue("model_name", "Kmeans allinputs")
node.setPropertyValue("num clusters", 9)
node.setPropertyValue("gen distance", True)
node.setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label prefix", "Kmeans ")
node.setPropertyValue("optimize", "Speed")

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop_on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)
node.setPropertyValue("encoding value", 0.3)

# 119. kmeansnode J&

kmeansnode [EM¥ B JEREE370
inputs [fieldl ... fieldN] K-means HHEITE— 5 A F B EHATRE
Hr, EIFFEAEE A H AR 7B A AACE 5B
MFRTE, HEELER, 50 149
(sUiy v o0 SRR A P o e AL
num_clusters number
gen_distance trids
cluster_label FEEH
Number
label prefix string
mode Simple
Expert
stop_on Default
Custom
max_iterations number
tolerance number
encoding_value number
optimize Speed FH T 45 78 A5 TN AL a2 0T R O R N AR AT
Memory ik,
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knnnode Ef%

The k-IRATHIBICER (KNN) 5 506 A~ 58 S IR E AL 2 o] vh 55 AR AR & AR R AN 2651
@ s CHA & CAEED o R RMIEEE, AR A SAH T e,

il

node = stream.create("knn", "My node")

# "BFr"1EDIFnode.setPropertyValue("objective", "Custom")

# "IZE"EDG - "fA4FcE"EHnode.setPropertyValue("automatic_k_selection", False)
node.setPropertyValue("fixed k", 2)

node.setPropertyValue("weight_by importance", True)

# MEE"ENR - """ EHRnode.setPropertyValue("save distances", True)

# 120. knnnode &

knnnode JE1% (=} e ipes
analysis PredictTarget
IdentifyNeighbors
objective Balance
Speed
Accuracy
Custom
normalize_ranges &
use_case_labels trk WA TEAE T e R — A0,
case_labels_field FE
identify focal cases trk AT TERE T e R — A1k,
focal_cases_field FE
automatic_k_selection s
fixed_k 2578 HA 2 automatic_k selectio Jy False B
JEH.
minimum_k R HAY automatic_k_selectio N True 7
Jia .
maximum_k B
distance_computation Euclidean
CityBlock
weight_by importance s
range_predictions Mean
NS
perform feature selection ik
forced_entry_inputs [fieldl ... fieldN]
stop_on_error_ratio trid
number_to_select A
minimum_change number
validation_fold assign by field |#5ids
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2 120. knnnode JEYE (4%)

knnnode [Ei% Ll B

number_of folds = HA validation_fold assign by field &
False BFAJE M.

set_random_seed W

random_seed number

folds_field FE HA524 validation_fold assign by field g
True BFAJE M.

all_probabilities ik

save_distances bRk

calculate raw_propensities ik

calculate_adjusted propensities |45k

adjusted_propensity partition Test

Validation

kohonennode E¥

B Kohonen 5 21 J— P 28R4, IHANZE 02 1] F T4 B S SR K 51 A 22 el L2 I 45
xz FUE,  AEBL A VE T R A e R S A IR A 25 S AT SR T . AT DL g A
T e A BT A U T 1 50 i MR K R BT, O L ot 5 K 7 B A O A

i,

|

node = stream.create("kohonen", "My node")

# "Model" tabnode.setPropertyValue("use model name", False)
node.setPropertyValue("model name", "Symbolic Cluster")

node.setPropertyVa]ue("stop_an", "Time")
node.setPropertyValue("time", 1)

node.setPropertyValue("set_ random seed", True)

node.setPropertyValue("random seed", 12345)
node.setPropertyValue("optimize", "Speed")

# "Expert" tabnode.setPropertyValue("mode", "Expert")

node.setPropertyValue("width", 3)
node.setPropertyValue("length", 3)

node.setPropertyValue("decay_style", "Exponential")
node.setPropertyValue("phasel neighborhood", 3)

node.setPropertyValue("phasel eta", 0.5)
node.setPropertyValue("phasel cycles", 10)

node.setPropertyValue("phase2_neighborhood", 1)

node.setPropertyValue("phase2_eta", 0.2)
node.setPropertyValue("phase2 cycles", 75)

Z# 121. kohonennode J& 1

kohonennode [El ] EtiER

inputs [fieldl ... fieldN] Kohonen B ¥ A FBIWFIE, (HARMHEH
Hir., AEABRFERMNEFER. FXHE
L5 E, WS 145 JUR 1 A S B A

continue trik
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% 121. kohonennode JEPE (££)

kohonennode &4 & A
show_feedback trids
stop_on Default
Time
time number
optimize Speed JHT 46 72 A5 T Ay g 5 0o 3 P A R AT
Memory k.
cluster Tlabel iz
mode Simple
Expert
width number
KE number

decay_style

it (Linear)

Exponential

phasel_neighborhood number
phasel_eta number
phasel _cycles number
phase2_neighborhood number
phase2_eta number
phase2_cycles number

linearnode Ef%

il

node = stream.create("linear", "My node")
# Build Options tab - Objectives panel

node.setPropertyValue("objective", "Standard")

# Build Options tab - Model Selection panel

node.setPropertyValue("model_selection", "BestSubsets")
node.setPropertyValue("criteria_best subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")

F 122. linearnode & PE.

LAk [m] AR AR B H A5 — A sl A AL 2 (8] Y 24 5C ZR T 2 H A,

Tinearnode /Eif L] EHEER
target FE F A B AR B
inputs [fieldl ... fieldN] R {58 D Y LI A B

continue_training_existing_model

triks
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% 122. linearnode JEPE (££).

linearnode El% & e
objective Standard psm JHTFAEH KAGEHESE, FINFHIE Server %
Bagging £,
Boosting
psm
use_auto_data_preparation ik
confidence Tevel HF
model_selection ForwardStepwise
BestSubsets
None
criteria_forward_stepwise AICC
Fstatistics
AdjustedRSquare
ASE
probability entry HF
probability_removal HF
use_max_effects trik
max_effects HF
use_max_steps trik
max_steps HF
criteria_best_subsets AICC
AdjustedRSquare
ASE
combining_rule_continuous Mean
Median
component_models_n HF
use_random_seed i
random_seed HF
use_custom_model_name s
custom_model_name FFH
use_custom_name trids
custom_name FITH
tooltip FAFE
keywords FIFER
annotation FI R
linearasnode &%
@ LM T RERUARE A AR5 — s A WAL B2 [A] 20 150 R ESE H p,
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% 123. linearasnode J&TE

linearasnode [Ef# =] EHRAR
target FE g HIRFEE,
inputs [fieldl ... fieldN] TR ] ) A i = B

weight_field

FE

HUR B 49 37 7 B

custom_fields ik G488~ TRUE,

intercept PR B8N TRUE,

detect 2way_interaction tris ENFEIALE.,  HEMEA TRUE,

cin number iR RARER B 5 Gl riien: D N A RN e
KT 0 H/T 100 fE. HRAA(EA 95,

factor_order ascending ST S R, G4 {E N ascend-

descending

ing,

var_select_method ForwardStepwise ) A R RY U7 i kB H
BestSubsets ForwardStepwise,
none
criteria_for_forward_stepwise AICC JE T 66 5 7 ) A5 TR v I3 03000 7 3 S 17 DA 7Y
Fstatistics o B BR RO g E R R
AdjustedRSquare AdjustedRSquare,
ASE
pin number BRI IR/ NT S E pin BIH R
/N p R,  BRAEER 0.05,
pout number AL BRAR R B KT s & pout BIMEI p
EREMROY.,  BREE N .10,
use_custom max_effects trak SE T TE R LR Pl R RO, B
FALSE,
max_effects number BRSO L, B Eh
1.
use_custom max_steps prd Sl O PREL, BREHA FALSE,
max_steps number IR L AT B R R B E
1,
criteria_for_best_subsets AICC L0 OISR S v R
AdjustedRSquare AdjustedRSquare,
ASE

logregnode [E1%

Logistic [a[IFE—MZEit ik, EaRyai AT B EXCRIEATI2E, ERMTLER T, FX
@ P25 H by Bt AR S L

Z WA Rl
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node

= stream.create("logreg", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)

node.
node.
node.

setPropertyValue("target", "Drug")
setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use _model name", True)

node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("model name", "Log reg Drug")
setPropertyValue("use_partitioned data", True)
setPropertyValue("method", "Stepwise")
setPropertyValue("logistic_procedure", "Multinomial")
setPropertyValue("multinomial_base category", "BP")
setPropertyValue("model type", "FullFactorial")
setPropertyValue("custom terms", [["BP", "Sex"], ["Age"], ["Na", "K"]])
setPropertyValue("include_constant", False)

# "Expert" tabnode.setPropertyValue("mode", "Expert")

node.
node.
node.

setPropertyValue("scale", "Pearson")
setPropertyValue("scale value", 3.0)
setPropertyValue("all probabilities", True)

node.setPropertyValue("tolerance", "1.0E-7")
# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)

node.

node.
node.

setPropertyValue("1_converge", "1.0E-3")
setPropertyValue("p_converge", "1.0E-7")
setPropertyValue("delta", 0.03)

# "Output..." section

node.
node.
node.
node.
node.
node.
node.

node

setPropertyValue("summary", True)
setPropertyValue("1ikelihood_ratio", True)
setPropertyValue("asymptotic_correlation”, True)
setPropertyValue("goodness_fit", True)
setPropertyValue("iteration_history", True)
setPropertyValue("history steps", 3)
setPropertyValue("parameters", True)

.setPropertyValue("confidence_interval", 90)
node.
node.

setPropertyValue("asymptotic_covariance", True)
setPropertyValue("classification_table", True)

# "Stepping" optionsnode.setPropertyValue("min_terms", 7)

node.

node

setPropertyValue("use max_terms", True)

.setPropertyValue("max_terms", 10)
node.
node.
node.

setPropertyValue("probability entry", 3)
setPropertyValue("probability removal", 5)
setPropertyValue("requirements", "Containment")

B Wa N ]

node

= stream.create("logreg", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)

node.
node.
node.

setPropertyValue("target", "Cholesterol")
setPropertyValue("inputs", ["BP", "Drug", "Age"])
setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use_model_name", False)

node.
node.
node.
node.

node

setPropertyValue("model_name", "Log reg Cholesterol")
setPropertyValue("multinomial_base category", "BP")
setPropertyValue("use_partitioned data", True)
setPropertyValue("binomial _method", "Forwards")

.setPropertyValue("lTogistic_procedure", "Binomial")
node.
node.
node.
node.

setPropertyValue("binomial_categorical input", "Sex")
setKeyedPropertyValue("binomial_input contrast", "Sex", "Simple")
setKeyedPropertyValue("binomial input category", "Sex", "Last")
setPropertyValue("include constant", False)

# "Expert" tabnode.setPropertyValue("mode", "Expert")

186

IBM SPSS Modeler 18.0 Python 4<% il Al E Zhik 4515



node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)

node.setPropertyValue("all probabilities", True)

node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence...

section

node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("1 converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section

node.setPropertyValue("binomial output_display", "at_each_step")

node.setPropertyValue("binomial_goodness of fit", True)
node.setPropertyValue("binomial _iteration_history", True)
node.setPropertyValue("binomial_parameters", True)
node.setPropertyValue("binomial ci_enable", True)

node.setPropertyValue("binomial ci", 85)
# "Stepping" optionsnode.setPropertyValue("binomial removal criterion", "LR")

node.setPropertyValue("binomial probability removal", 0.2)

% 124. logregnode J&TE.

logregnode B L] R
target B Logistic [A] H#ERI TG 8 — A~ HAr F B DL & —A~
BN MAFE. AR B E S
B, AXEZELR, WSRE 145 08 1A
L ATy SR M o [
logistic_procedure Binomial
Multinomial
include_constant trk
mode Simple
Expert
method Enter
Stepwise
Forwards
Backwards

BackwardsStepwise

binomial_method Enter
Forwards
Backwards

model_type MainEffects $t FullFactorial #57& MiiRIZEAINE, B
FullFactorial HRET LM, PHFEUAZEBIT.
Custom M Enter ik,

AR T 1 2 Custom, fHARHE & &
il 7B, AR Ha i R,

custom_terms

[[BP Sex][BP][Age]]

multinomial base category

TP

TR AT 1 2 2 5 21,

binomial_categorical_input

T
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£ 124. logregnode JETE (£5).

logregnode BT L] BIEHER
binomial_input_contrast Indicator BRI R AR R L, T8 E I A
Simple FEXT L.
Difference
Helmert
Repeated
Polynomial
Deviation
binomial input_category First BRSBTS W i
Last ESFE R,
scale None
UserDefined
Pearson
Deviance
scale_value e
all_probabilities trk
tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
min_terms 5
use_max_terms trik
max_terms 5
entry _criterion Score
LR
removal_criterion LR
Wald
probability entry HF
probability_removal HF
binomial_probability entry HF
binomial_probability_ removal T

requirements

HierarchyDiscrete HierarchyAll
Containment
None

max_iterations

7

max_steps

L/E

p_converge

1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
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% 124. logregnode JEPE (£5).

logregnode B & EiEHER
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
delta #HF
iteration_history iz
history steps HF
summary PR
Tikelihood_ratio ik
asymptotic_correlation &
goodness_fit i
parameters s
confidence_interval HF
asymptotic_covariance bRk
classification_table trids
stepwise_summary s
info_criteria trik
monotonicity measures bk

binomial_output_display

at_each_step
at_Tast_step

binomial_goodness_of_fit

tris

binomial_parameters ik
binomial_iteration_history I
binomial_classification_plots iz
binomial_ci_enable W
binomial ci HF
binomial_residual outliers

all
binomial_residual_enable &
binomial outlier_threshold HF
binomial _classification cutoff HF
binomial_removal criterion LR

Wald

Conditional
calculate_variable_importance W
calculate raw_propensities trids
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Isvmnode B4

LM SRR L (LSVM) 9, ATLUEEe o0 o idl, Mo d EalG. LSVM Ohgedk, Jf
HATLLS SE8cle S le & 6, ftm, IRLe & R il i SR 4.

# 125, Isvmnode J&1F

1svmnode B4 =] B

intercept PRk TEREI G EE, BEEA True.

target_order Ascending RESRBEHT T, W TiESHE
Descending WM, AN Ascending,

precision number 124 H bR Bl 2% 55 Continuous

A6, 45 € 5 [l V45 5k B SR PR AR
KIS, wMEN 0, FFHITRAME,

HAE N 0.1,
exclude missing values ik TEH True B, WAATATEAAMEES, B
ZHAEBRIC R, BRAEY False,
penalty function L1 T E M R TT sR B 2R, B (E
L2 L2,
lambda number ES CHE ) 254,
calculate_variable_importance |7 XoF AR JORE R 1) ) R B R T,

BEESURR — AR, R R Al TR
RS i A U A P AR A, O
ERE, XFRLesny, L E s
CHRF 30 B Bt SR IEATHR AR ) WTAE
M E BT[], BT, Xt
TR, S E EAE AL T MR
A, AR B T eSS R A R ]
H.

neuralnetnode E#

R AEBCARATIRCR SR AL T A I 5 D RE AR RRAS AU R M A AT R, IRHEAE TR — T (newralnetwork) HEAT
AR, R TSR AT DL P SE A A KA R AR IR X PR oy, (B FRA T SR B A S D ik DR A X ELAR
B TR RA R VRN R B DL S %,

il

node = stream.create("neuralnet", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("targets", ["Drug"])
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
# "Model" tabnode.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train_pct", 30)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue("random_seed", 12345)
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
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node.setPropertyValue("time", 3)

node.setPropertyValue("optimize", "Speed")
# "Multiple Method Expert Options" section
node.setPropertyValue("m_topologies", "5 30 5; 2 20 3, 1 10 1")

node.setPropertyValue("m non_pyramids", False)

node.setPropertyValue("m persistence", 100)

% 126. neuralnetnode J&1VE

neuralnetnode E4

(=)

S

ExhaustivePrune
RBFN

targets [fieldl ... fieldN] R T T E - EAN R FEBR D
— AT R, G B0 T EFE
B, BHXEEER, 20 145 0/ 1 4]
[ by Um0 L
method Quick
Dynamic
Multiple
Prune

prevent_overtrain trk
train_pct number
set_random_seed i
random_seed number
mode Simple
Expert
stop_on Default (A
Accuracy
Cycles
Time
TEMRIE number {5 1k A
cycles number MEYSEY S
time number YIZRRFa] (or8h%) |
continue i
show_feedback ik
binary_encode i
use_last_model ik
gen_logfile i
logfile_name string
alpha number
initial_eta number
high_eta number
Tow_eta number
eta_decay_cycles number
hid_Tayers One
Two
Three
h1_units_one number
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% 126. neuralnetnode JEVE (£E)

neuralnetnode B il EERR
h1_units_two number
h1_units_three number
BFAM number
m_topologies string
m_non_pyramids ik
m_persistence number
p_hid_layers One
Two
Three
p_hT_units_one number
p_h1_units_one number
p_h1_units_three number
p_persistence number
p_hid_rate number
p_hid_rate number
p_inp_rate number
p_inp_pers number
p_overall_pers number
r_persistence number
r_num_clusters number
r_eta_auto trk
r_alpha number
r_eta number
optimize Speed FH T 48 78 A5 T AL o e 0T O A N A AT
Memory ik,
calculate_variable_importance trak RECR 1 O ol 1107 e Sl U S
sensitivity analysis J@¥t. IR ZHIHE
(=l R
calculate_variable_importance,
calculate raw_propensities i
calculate_adjusted propensities |#rids
adjusted_propensity partition Test

Validation

neuralnetworknode &4

ERLEAIOEHE B W Y LS ST ]

MR 2 R T BRSO A — e R KAl T AR, R

S D00 21 s e P Y AR ok A SO I A B A7 LY D SR TR, ST A 5 A A R e 2R A

Bt/ D IO GEE B8 R AT DG AT IR s .

il
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node = stream.create("neuralnetwork", "My node")
# Build Options tab - Objectives panel
node.setPropertyValue("objective", "Standard")
# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

% 127. neuralnetworknode J&E

neuralnetworknode Eff =1 e pus
targets [field] ... fieldN] TEE B bs 7B
inputs [field] ... fieldN] B 10 S
splits [field] ... fieldN RE — A AT 0 SR 7B
use_partition trak R E LT 3 DX By, R 0 18 5 mT ) AR A
IZRI X Kt A
continue trk YRS 2R A BT,
objective Standard psm TR K EPEE, FRIFHE Server i
Bagging %,
Boosting
psm
method MultilayerPerceptron
RadialBasisFunction
use_custom_layers trid
first_Tayer_units number
second_Tayer_units number
use_max_time ik
max_time number
use_max_cycles &
max_cycles number
use_min_accuracy s
min_accuracy number
combining_rule_categorical Voting
HighestProbability
HighestMeanProbability
combining rule_continuous Mean
Median
component_models_n number
overfit_prevention_pct number
use_random_seed ik
random_seed number

missing_values

listwiseDeletion
missingValueImputation

use_model_name

MiZR

model_name string
confidence onProbability
onlncrease
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% 127. neuralnetworknode JHPE (££)

neuralnetworknode Bt =1 e
score_category probabilities trids

max_categories number

score_propensity s

use_custom_name trk

custom_name string

tooltip string

keywords string

annotation string

questnode E%

Pl QUEST 15 i T 42 4l F M e S (19 — 0 0 2K, O IR Miscit B BRI KRR C&R 04 BT
'\\@ T (AL BRI E],  [R] ISt 0/ 260 T 3 P R BB S DARE SR P B Z - IR A, ST
Bl DU ST E (8%2) , (HHET BRI, B o HIE —Joh.

il

node = stream.create("quest", "My node")
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("model _output type", "InteractiveBuilder")
node.setPropertyValue("use_tree directives", True)
node.setPropertyValue("max_surrogates", 5)
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("use percentage", False)
node.setPropertyValue("min_parent records_abs", 40)
node.setPropertyValue("min_child records abs", 30)
node.setPropertyValue("prune_tree", True)
node.setPropertyValue("use_std_err", True)
node.setPropertyValue("std_err multiplier", 3)

* 128. questnode JFHPE

questnode &M% il EtEiER

target FE QUEST #RITG &~ Hirr Bk —1 %
A TEL Ji5b, iR DR E R T B
ARELERE, WS 145 U 1 8 I

B R P 0 R,

continue_training_existing_model |7z

objective Standard psm HTFAEH R EE4E, RIS Server #
Boosting .
Bagging
psm

model_output_type Single

InteractiveBuilder

use_tree directives trks
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% 128. questnode JEPE (£E)

questnode BT =1 BH#R
tree_directives string
use_max_depth Default
Custom
max_depth ki 54 RAWHEENML 0 #1000, HAE
use_max_depth = Custom A .
prune_tree tris EBTA, DURE SR B G
use_std_err tris R RS 2 (FRifEiRE) .
std_err_multiplier number KA.
max_surrogates number s RACHTI,
use_percentage tri
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs trk
costs EnyNia gt B,
priors Data
Equal
Custom
custom_priors ittt S5t JE k.
adjust_priors i
trails number JHT i E B 6 A A AR AT
set_ensemble_method Voting SR E R EAE AR,
HighestProbability
HighestMeanProbability
range_ensemble_method Mean HEEE H AR B 2 A
FRZEg
Targe_boost trak Xof Y A4 K 4R T HE E
split_alpha number T AT #0 2 E HKE,
train_pct number Bij 13t LA RS
set_random_seed trd RS R
seed number
calculate variable importance iz
calculate raw_propensities ik
calculate_adjusted_propensities |frd
adjusted_propensity partition Test
Validation
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randomtrees &4

SPSS Modeler V17 Hs i) i i 2 & f o0 R Az RGBT, < BEAILR A0 5 504 BR - ok 43 2
R WD) P A, 1% k3 i AE A 4 W K PR A R 2y B, FH 3 3 4 DX ORI e
Ay, IR AT S 100% FNLINEERIE T H AR B — MR 2R, A% B
WERALTE., B AFBOT URSFERm g2 (230, AlrdibiE) ; A #¥ R T
Sy CRIUAr #4141 .

j “BEALA T ST B C&RT ini; (HJE, “HEMUR I RS 7EAL B K LA B0, IFAE

# 129. randomtrees &£

randomtrees B LT Bk

target FE TECBEALR AT s, BRI TR A B AR DL S —
AN Z AN AT B, BN, BT DU %

TR, ARELEL, WS 145 0

[r AT AT AU P o [

number_of_models integer ffy 5 AR Ay AR g ) — 0 3 ) s 114 BT 4K
i,

use_number_of predictors s fEJE A H number of predictors,

number_of_predictors integer 6 7€ A ) A o0 A I A A 0 A

use_stop_rule_for_accuracy bRk T 8 AE TG B e M P 5 4 L R A 7

sample_size number Ul /D 1% (A RT B ve Ab Al ORI AR A I 1
fiE.

handle_imbalanced_data tris AR BRI H AR R R E b S RCR, I RS

9 R o AR B B R B FE SR AR F D, B4
Bs A, JF BB AT 19 51 5 R e R A

ARE R MBS B, SRR Y Rl b
B, AT o ASE TR 37 R 30 B K 4 U Y

AT HE B SRR A R,
use_weighted_sampling trik 164 False W, 5 DUAHTR] 40 2 BE AL 2 R4
TASMAS R, FEN True W, BRI FF1E
AR,
max_node_number integer AR AL VR Y BT L WARAETR —
Pror i Kl PR (E, A28 AT Ik,
max_depth integer T A5 Lk AT AR T,
min_child_node_size integer B 28 FEHF 23 37T A5G 7719 SR R i R hid

FEL MR T R EAICR BN T AL R
SERVEUE, TS AKE A AR 5T i

use_costs trids

costs Zithtt gimfbmit, faUgh 3 MEHRMSIE: &
Prfi. TRMMEF A (R mMEER) .
an:

tree.setProperty Value("costs”, [["drugA”, "drugB”,
3.0], ["drugX”, "drugY"”, 4.0]])
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% 129. randomtrees JEIE (%E)

randomtrees [Eif i1 EiERR
default_cost_increase none i AT EARE L
Tinear T B AR B A R4 R
square
7E
max_pct_missing integer L SR AT B AR B R 09 E A LR T A 4
SERME, 2K HERA A, B/AME 0, Fk
{64 100,
exclude single_cat_pct integer R — > E R R IE S B A 2 H O T AL
o8 I MH,  TI0 206 DAL RY A g o HE R A4~
B, m/MER 1, EBOREHR 99,
max_category_number integer IR R R A EGE BT 1l A
RIMEE T HERR T B, B/ IMER 2,
min_field_variation number IR EST BB RBUNTIZE, 2K
AL o R 7 B
num_bins integer YR B S AR A, AT
T AR SRR R 2.
4. 5. 10, 20, 25, 50 = 100,

regressionnode &%

ffﬂ

P (2 18] 1 22 57 d /M

L ] U — bt e DL B i DA S B Bl A B ¥l S T ik, 8 A S fE A 5

i AERRM A, A SR R B R R AT S BAE JT 0h 6 F Z P A AT ek [e] .

il

node = stream.create("regression", "My node")

# "Fields" tabnode.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_weight", True)
node.setPropertyValue("weight field", "Drug")

# "Model" tabnode.setPropertyValue("use_model name", True)
node.setPropertyValue("model_name", "Regression Age")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include_constant", False)

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping _method", "Probability")
node.setPropertyValue("probability entry", 0.77)
node.setPropertyValue("probability removal", 0.88)
node.setPropertyValue("F _value entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)
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# "Qutput..." section
node.setPropertyValue("model_fit", True)
node.setPropertyValue("r_squared_change", True)
node.setPropertyValue("selection criteria", True)
node.setPropertyValue("descriptives", True)
node.setPropertyValue("p_correlations", True)
node.setPropertyValue("collinearity diagnostics", True)
node.setPropertyValue("confidence_interval", True)
node.setPropertyValue("covariance _matrix", True)
node.setPropertyValue("durbin_watson", True)

£ 130. regressionnode JHPE

regressionnode B =T EtEER
target FE& “H I H TR BT B Rk — A 24
MWATE, 54, &R ENETE, A
FHZAGE, HEME 145 TR 1 A It
F .
method Enter
Stepwise
Backwards
Forwards
include_constant tr
use_weight ik
weight_field FE
mode Simple
Expert
complete_records ik
tolerance 1.0E-1 T OG54 B A A ok,
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP: il F AR
useF useF: ffif] F {8
probability_entry number
probability_removal number
F_value_entry number
F_value_removal number
selection_criteria ik
confidence_interval trik
covariance_matrix W
collinearity diagnostics s
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£ 130. regressionnode JHPE (££)

regressionnode B L] A

regression_coefficients trids

exclude_fields W

durbin_watson trids

model_fit s

r_squared_change ik

p_correlations W

descriptives Frids

calculate_variable_importance ik

sequencenode E%
2o F7 5035 AT R I3 S 5 B I 115G Y £tk vh A SCIR BN, e 8152 — 2R 51 AT £ 25 DA AT i it J5
%gf ﬁi%mﬁﬁéamm,*|%%T%ﬂﬁﬁﬁmmmgﬂﬁﬁfﬁ%%ﬁ%iﬂﬁﬁbﬁﬂ%

RHEET CARMA CBCHUNGE R, AR — AR A% 58 5 2 & 4R 51,

il

node = stream.create("sequence", "My node")

# "Fields" tabnode.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("use_time_field", True)
node.setPropertyValue("time _field", "Datel")
node.setPropertyValue("content fields", ["Drug", "BP"])
node.setPropertyValue("partition", "Test")

# "Model" tabnode.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Sequence test")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("min_supp", 15.0)
node.setPropertyValue("min_conf", 14.0)
node.setPropertyValue("max_size", 7)
node.setPropertyValue("max_predictions", 5)

# "Expert" tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("use max_duration", True)
node.setPropertyValue("max_duration", 3.0)
node.setPropertyValue("use_pruning", True)
node.setPropertyValue("pruning_value", 4.0)
node.setPropertyValue("set_mem_sequences", True)
node.setPropertyValue("mem sequences", 5.0)
node.setPropertyValue("use_gaps", True)
node.setPropertyValue("min_item gap", 20.0)
node.setPropertyValue("max_item gap", 30.0)
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£ 131. sequencenode J&1E

sequencenode JET4 Ll B A

id_field FB BAREFIHNE, BFERE - Ml T
B AR — ATy e v B, AR — A EE
NNETBL A RCE 7 BORMI R 7 B
ARELEE, WS 145 U 1 8 3L

time_field FE

use_time field ik

content_fields [fieldl ... fieldn]

contiguous i

min_supp number

min_conf number

max_size number

max_predictions number

mode Simple

Expert

use_max_duration &

max_duration number

use_gaps trik

min_item_gap number

max_item_gap number

use_pruning trids

pruning_value number

set_mem_sequences trik

mem_sequences B

slrmnode E¥

2 AR (SLRM) 15 s T FH A4 — B0 2 B4 WL I £ s/ e DL P Y, e o
R, T e P 4 e o AR AT S 1 B R o A AT EER VA

il

node = stream.create("slrm", "My node")
node.setPropertyValue("target", "Offer")
node.setPropertyValue("target response", "Response")
node.setPropertyValue("inputs", ["Cust_ID", "Age", "Ave Bal"])
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F£ 132, slrmnode J&1E

slrmnode JEH & BiE#ER

target FE Hpr 7 B U 4 Ly B s & 7 B
b, R LI EWR T B, ARELER,
WS 145 BUY ¢ SR e T SUBHE o |3
.

target_response FE S PRY

continue_training_existing model |#pids

target _field values i Use all: it il>k 5 R 2 #B1H.

Specify: BE4FHT 7 19 (5.

target_field_values_specify

[field] ... fieldN]

include_model_assessment i

model_assessment_random_seed number WAUR S,

model_assessment_sample size number DR SR

model_assessment_iterations number R

display _model _evaluation trids

max_predictions number

randomization number

scoring_random_seed number

sort Ascending 188 & T R PRI B il R B AR AR
Descending

model_reliability W

calculate variable importance trids

statisticsmodelnode E14%

“Statistics HLF 5 S H A HE NS MBI T2 B, PMML [ IBM SPSS Statistics i1 8 3 43 #7 fldh

SUYCE, M1 R IBM SPSS Statistics ¥l HI.

AW SRMERE B, 5255 282 T 1 statisticsmodelnode Jg 1t 4 |

stpnode %

TREEE, SRR R R L B SR AT, X 2 AT IR R AT I I A B AL

AR A N (STP) WS G E R s, AT BRI AT B (AR ) | I 5B H AR

{6, X UCEAR AT )5, AT LA R E S50 o0 A e 6 A8 S50 P AT Ao 02 B ) H AR AL

£ 133. stpnode J@1E

stpnode JEfE HiERR B
FEEETR
target T o B AR
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£ 133. stpnode JETE (££)

(U R G178, B ik )

stpnode JEM% HRER B4R
(A= FEB B 7 B B, SR 3 s )
TE,
Tocation_Tlabel FB NEFE, HFIESEH R location H
Pt e B A AR 2
time_field FH BRI 1] 7 B, AR VR B A
& 7B, JF HAF 8RB 0025 g I ]
< HL IR C SR R
inputs [fieldl ... fieldN] AT B3R,
Pt 18] i8] fg 1 151
interval_type_timestamp Years
Quarters
Months
Weeks
Days
Hours
Minutes
Seconds
interval_type_date Years
Quarters
Months
Weeks
Days
interval type time Hours PRI STP T IR A AR 555
Minutes B IR A R
Seconds
interval type integer Periods B S e 4 R I TR X, ) R 2

T 4% TR R time field AYF
BL A IS,

period_start

biis 4

start_month

January
February
March
April
May

June
July
August
September
October
November
December

BORH T 2 LR 51 R i A (6
n, aeRBEO E =R, AR ES
F—FilkN—R, BB Bk
BT AIC I = AJHIREE LR ] .
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£ 133. stpnode JETE (£E)

stpnode BT HiELRR Bt
week_begins_on Sunday STP M4l HicHla 1) 2 A I 18] 2% 5 | ) A 463
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
days_per_week BH B/MEN 1, KRR 7, #HEHN 1
hours_per_day B BERIAE R R vp o AR /NI &, n 2R it
wEN 10, AR 2 B K K
day_begins_at [ [H] FFif 2 . K 5 HF 72k
10 A/, SRJGBEE S day_begins_at
NI e
day_begins_at 00:00 1B T IR L R 5 A 46 /.
01:00
02:00
03:00
23:00
interval_increment 1 P B B R B RS, eI E T
2 BB SE BE Gl RO &, B,
3 TEHETE A 30 I HLAS ] [A] R S5 28 A 70 19 1
4 LT, BRE 30 AMRAE R OlE — R
5 3l.
6
10
12
15
20
30
data_matches_interval iR ME WRBEE N N, IBATEMEERBTET, &%
BEFE R L interval type,
U T S I S 3= W 1l =
interval_type FIFTA B B #-55E
AHVCHC, TR eI B Y DIRH R4
B SR,
Wi B Y S8 TR
agg_range_default Sum Wi EH T ESFBRWEEIL A
Mean %, R E TR E RS TR S
=/ME SL5 B T e b 48 2 1 5 vk E AT
=AE &,
Lkt

F—1Mn L
E=AMn
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£ 133. stpnode JETE (££)

Exponential
PoweredExponential

stpnode B gD Bt
custom_agg [[field, aggregation|&itfbE:
method], []..] A Z%: custom_agg
R fain:
[['x5' 'FirstQuartile']['x4"'|set :stpnode.custom agg = [
"Sum']] [fieldl function]
[field2 function]
1
Hep function EESZFEACGMHE NI
TR
BRI
include_intercept trk
max_autoregressive_lag R /MER 1, KRR 5, el 1. it
Ttk 00 B % A SR RO SR A, Bk,
REER 5, MK MERTH 5 %&id
SR AN T O, b A R AR A g BN 4R
ML Ol & I B BRI G, R PG
T PR BT R AT P40 I PR 4R A EdE
estimation_method ESH FF x2S 18] By 22 6 B R AT ML 10y v
ESH
parametric_model Gaussian SN ERBI G TS5

exponential_power number PoweredExponential MRS, f/h
fEh 1, wRMEH 2

BRI

max_missing_values B FOVFTERIRY b A B R B A 30 SR
PP NIER e

EEKFE number A5 Ay e e B R TR Y W 25 KT, 4R
JE STP MRIAG S BT A (A4 P It
AR, MUY F KRR T &
T 1.

0 R

model_specifications trk

temporal_summary iz

Tocation_summary PRk TR o7 4 B 3R A5 B 4 A T A
H.

model_quality iz

test_mean_structure i

mean_structure_coefficients i

autoregressive_coefficients i

test_decay_space i

parametric_spatial_covariance s

correlations_heat_map i

correlations_map i
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£ 133. stpnode JETE (£E)

stpnode JE% ES6 el et At
Tocation_clusters ik
similarity_threshold number B F, A e B A i B R A O R
AR BE 4% 5 O 3 A SR B,
max_number_clusters B A DA A R A o ePf A R TR RO B
FE.
EENEIR LI R
use_model_name trk
model_name string
uncertainty_factor number w/AMEN 0, JHKMEN 100, HhgE HTF
HRETMP A EE (FR) HR, B
ST ) B R AT TR
svmnode E%
0 i SR AL (SVM) 98, o LSS i, R EElE. SVM A DL 5E 8l SR L &
TR B, IS Sk R A B 2R 4,
]|
node = stream.create("svm", "My node")
# Expert tabnode.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("kernel", "Polynomial")
node.setPropertyValue("gamma", 1.5)
F 134. svmnode JBVE.
svmnode {4 =] R
all_probabilities i
stopping_criteria 1.0E-1 iff 72 AT BSASE 1R DA SR
1.0E-2
1.0E-3 (default)
1.0E-4
1.0E-5
1.0E-6
regularization HF WA C S50
precision #F 024 H AR B M54 Continuous
s At .
kernel RBF (45 ) FHT e 48 1) P A% R B 298,
Polynomial
Sigmoid
Linear
rbf_gamma 7 {UAE kernel i RBF (i .
gamma 7 {UFE kernel i Polynomial &= Sig-
moid M,
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% 134. svmnode JEME (£E).

Validation

svmnode [EfE B JEEE370

bias HF

degree F {XFE kernel & Polynomial WM& A,
calculate variable importance |7z

calculate_raw_propensities i

calculate_adjusted_ i

propensities

adjusted_propensity partition |[Test

tcmnode B4

Msf i) P 2R e A S A I ) P S R b R BEOG BE PR S &R, FEIS o] PR B, SR — A B A
FPAll, R XL H AR — st A, ARG, SRR DA B AR [ 18] DE ]y SRR,

I BALE &5 HAr B A i EERI PR R A,

# 135, temnode J& M

tcmnode EE

=}

Bt iR

custom_fields

AR 1H

dimensionlist

|dimensionl ... dimensionN]

data_struct

Multiple
Single

metric_fields

FE

both_target_and_input

il ...

targets

lfl ..

candidate_inputs

i ...

forced_inputs

2|12|22

Il ..

use_timestamp

Timestamp
Period

input_interval

None

AN

&£

=35

A

5

Day

JNBY
Hour_nonperiod
oy
Minute_nonperiod
#
Second_nonperiod
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% 135. temnode JEVE (£E)

tcmnode EE

(=)

bRl

period_field

TR

period_start_value

biis /4

num_days_per_week

b3

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

bics /4

start_hour_of_day

biis34

timestamp_increments

bizs /4

cyclic_increments

bii534

cyclic_periods

BZES

output_interval

None
&F
=T
A
J&
Day
JNBT
e

b

is_same_interval

18 3]

Notsame

cross_hour

i /R 1E

aggregate_and distribute

BZES

aggregate_default

Mean
Sum
REY
=/ME

RAME

distribute_default

Mean
Sum

group_default

Mean
Sum
wE
=/ME
RAE
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% 135. temnode JEVE (£E)

tcmnode [EME L] B
missing_imput Linear_interp

Series_mean

K_mean

K_meridian

Linear_trend

P
k_mean_param B
k_median_param A
missing_value_threshold R
conf_level B
max_num_predictor R
max_lag BH
epsilon HF
threshold B
is_re est 2R M
num_targets B
percent_targets R
fields_display PIES
series_display BZES
network_graph_for_target i /R (B
sign_level for target HF
fit_and_outlier_for_target i /R (E
sum_and_para_for_target iyl
impact_diag_for_target i /R (8
impact_diag_type for_target 1EA

JEYES

Both
impact_diag_level for target f£378
series_plot_for_target A 7R E
res_plot_for target iR ME
top_input_for target i R 8
forecast_table for target i /R
same_as_for_target iR E
network_graph_for series i /R AE
sign_level for series HF
fit_and outlier for_series iR (E
sum_and_para_for_series iR (e
impact_diagram for_ series iR (E
impact_diagram_type_for_series {EF

e

Both
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% 135. temnode JEVE (£E)

tcmnode B L] Ei%AE
impact_diagram_level for_series | Z##{
series_plot_for_series i R 8
residual_plot_for series Vgl
forecast_table_for series M7 R ME
outlier_root_cause analysis Vgl
causal_levels B
outlier_table ZH
h
Both
rmsp_error A7 /R M
bic iR 1E
r_square M7 5
outliers_over time Vi eI
series_transormation i /R AE
use_estimation_period Vgl
estimation_period it i)
LME
observations LIS
observations_type Latest
=R
observations_num L1974
observations_exclude R
extend_records_into_future ViviyE
forecastperiods L1308
max_num_distinct_values R
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for_series TR (8
aic M7 5
rmse MR E

ts B4

) A1) AR T B ] R AR IS SO TR AR, B B [ S AL ST H (ARIMA) R
Mz ARIMA (RUEEHpRE0) B, JfFA iRkt RR R WM B, i 18] 5 51045 s 280 T7E
SPSS Modeler 55 18 RH ARHEFER IH BB F A5 i, AR, OB 72037 S5 A IBM
SPSS Analytic Server fig JIRANFEK K, JE7E SPSS Modeler 45 17 WP MA M A G weh L
TR A AR,
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#136. 1s Mt

Hour_nonperiod
PR
Minute_nonperiod
%'/"
Second_nonperiod

ts Bl & BHER
targets FB 8] e A7) s AT LA —
W ZAHE bR, A DLESE H —
A 2 A AT BE o i s
Ol SR T B
B, HXEEEA, s
145 GUHY ¢ 4v 368 BT )
[+ e .
use_period iR MH
use_estimation_period M5 (H
input_interval None
HRH
e
FE
A
&
Day
JNBT

period_field

FE

period_start_value

integer

num_days_per_week

integer

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

integer

start_hour_of_day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

BZES

output_interval

None
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136, ts J@IE (£E)

ts Bl

L}

S

is_same_interval

18 3]

Notsame

cross_hour

i 7R 1H

aggregate_and_distribute

I

aggregate_default

Mean
Sum
=/NME
RAE

distribute_default

Mean
Sum

group_default

Mean
Sum
xE
=NME
RAE

missing_imput

Linear_interp
Series_mean
K_mean
K_median
Linear_trend

k_mean_param integer
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal ik
detect_outliers ik
expert_outlier_additive ik
expert_outlier_level_shift i
expert_outlier_innovational ik
expert_outlier_level _shift i
expert_outlier_transient i
expert_outlier_seasonal_additive s
expert_outlier_local_trend i
expert outlier_additive_patch ik
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K 136. ts JBVE (£8)

Naturallog

ts Bk L} S
exsmooth_model_type Simple

HoltsLinearTrend

BrownsLinearTrend

DampedTrend

SimpleSeasonal

WintersAdditive

WintersMultiplicative
exsmooth_transformation_type None

SquareRoot

Naturallog
arima_p integer
arima_d integer
arima_q integer
arima_sp integer
arima_sd integer
arima_sq integer
arima_transformation_type None

SquareRoot

Naturallog
arima_include_constant s
tf_arima_p. fieldname integer BRI
tf_arima_d. fieldname integer FT e e i K.
tf_arima_q. fieldname integer BR3¢
tf_arima_sp. fieldname integer P e e i K.
tf_arima_sd. fieldname integer iERiZ 58
tf_arima_sq. fieldname integer FHT e e pri K.
tf_arima_delay. fieldname integer BR3¢ e
tf_arima_transformation_type. fieldname None FHT e e e B

SquareRoot

arima_detect_outlier_mode None
Automatic
arima_outlier_additive i
arima_outlier level shift ik
arima_outlier_innovational i
arima_outlier transient i
arima_outlier_seasonal_additive s
arima_outlier Tlocal_trend i
arima_outlier_additive_patch i
conf_Timit_pct real
max_1lags integer
events FEB
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K 136. 15 JEIE (28)

ts Bl =] EiERER
continue i
scoring_model_only trik AT & RE (B07) BEF
G T,
forecastperiods integer
extend_records_into_future i R 1H
treeas BTt
“R-ASTT R T A CHAID 55 {HJE, “B-AS™H7 m B EAL B K DL a s A4, JF7E
@ SPSS Modeler V17 HR Y% A5 #5 o A S ARy, i1y sl (i R 483t (CHAID) 3k
PRy, MTA B SR, %) CHAID By3X —fff AT A ik ook, BE i B

AMALLER IS, HARFA T BOT LU Rl (3%%%) 5i402K, Exhaustive CHAID & CHAID
BB IR, EX P ST EMROGE, ([ETHRE R,

F137. treeas JEME

treeas B4 & Bl

target T8 1E Tree-AS &, CHAID HiRIFRIHAH
=AM mAFR., 2ok, AL E
PRFB, ARELEE, weHE 145 5
[ v ALY S P 9 [ AL

method chaid

exhaustive_chaid

max_depth integer BB (K0 2 20) . BINEA 5.

num_bins integer 4B S AR A, R E T
T AR SE R B EIRCH: 2.
4. 5. 10, 20, 25, 50 u{ 100,

record_threshold integer ICS L, TEIR B IR B R B 7R AL R I
BERLRE AR p A5 8 K/, B
A 1,000,000; iR E 10,000 5 A B
I,

split_alpha number MTHAT S B FHKCT. EELHAN T
0.01 F1 0.99 Z[a],

merge_alpha number AT AT A I8 B W ACE, ZE LN T
0.01 F1 0.99 Z[f],

bonferroni_adjustment trE fdi Ffl Bonferroni #:1f%4 @& P (.

effect_size_threshold_cont number W TE A % 22 B AR 5 40 15 S A I 28 B
R RN B, (T4 0.01 F 0.99
ZJH].

effect_size threshold cat number B 228 B AR AR 2015 s G IR S Y
ROV R/NEIE,  FESHN T 0.01 F1 0.99
Z 18],

split_merged_categories trik TR H 1 281 1T R4,
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137, treeas JEVE (%)

treeas B & e pu
grouping_sig_level number FH T80 7 AnART I BT AR B AT 3 ) S T
B
chi_square pearson KRR RITGHRJrk: Pearson BIAR
Tikelihood_ratio ke
minimum_record_use use_percentage
use_absolute
min_parent_records_pc number B 2, /MBS 1, OKRIEA 100, 1
A1 RS EDAE T,
min_child_records_pc number BegEoh 1 fMESR L, FoRfEN 100, 3
"L
min_parent_records_abs number A E N 100, H/MEHR 1, HKMEN 100,
W 1, A SHLA T F o0 X
min_child_records_abs number B fE R 50, HF/MEN 1, HOKMESN 100,
HEH 1,
epsilon number W TS AR 1Y e/ NV
max_iterations number WS e R A AR IR B
use_costs PR
costs 4t gittbimrt. =gl 3 MEARIMIER: &
Prl. BMEFSA (R R ) . #)
an:
tree.setProperty Value("costs”, [["drugA”, "drugB”,
3.0], ["drugX”, "drugY”, 4.01])
default_cost_increase none OO A H AR A .
Tinear T RS I R R
square
TE
calculate_conf trids
display_rule_id i FEVES it P s — AT B, RIS R
4 e 2 f) 283 19 s AYAR IR,

twostepnode [E%

P ST R Ve, 5 — A BRI, LA IR AR 4 4 B

%D TREA. B MBIRIN A TRE 15— AIF R MRE, Al — 1 iE
4, B A VIR 1 BB R RO T BB IR 4 40 B A B B
5.

il

node = stream.create("twostep", "My node")
node.setPropertyValue("custom fields", True)
node.setPropertyValue("inputs", ["Age", "K", "Na", "BP"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use model name", False)
node.setPropertyValue("model_name", "TwoStep Drug")
node.setPropertyValue("use partitioned data", True)
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node.setPropertyValue("exclude outliers", True)
node.setPropertyValue("cluster_label", "String")
node.setPropertyValue("label prefix", "TwoStep ")
node.setPropertyValue("cluster_num_auto", False)
node.setPropertyValue("max_num_clusters", 9)
node.setPropertyValue("min_num_clusters", 3)
node.setPropertyValue("num clusters", 7)

7¢ 138. twostepnode J&1E

twostepnode [Ef

(=]

s b

inputs [fieldl ... fieldN] “ TR BB A B, BT E AR
FBL ORRBIEFBMBRT B, ARE
LR, WS 145 GU r AR H R A
standardize trik
exclude_outliers &
percentage number
cluster_num_auto W
min_num_clusters number
max_num_clusters number
num_clusters number
cluster_Tlabel FRE
Number
label_prefix string
distance_measure Euclidean
Loglikelihood
clustering_criterion AIC
BIC

twostepAS EtfE

7€ 139. twostepAS &1t

CCRRER-MRR TR, ATHEREEETEARARROE RS (IR | R
BB EA SRR RHE A 5 T EGRREOR, Iy RAES R, REMHA A S
B LA BT A,

twostepAS [EfE i1 BE#R

inputs [f1 ... fN] TwoStepAS i AIffi f— 514 A
FE, EAMHERFER. R
PRI 7 B R 7 B,

use_predefined roles i R AE B E A True

use_custom_field assignments A R AE g A False

cluster_num_auto i R AH B E A True

min_num_clusters integer Bl 2

max_num_clusters integer FEE N 15
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£ 139. twostepAS JHPE (££)

twostepAS E&

=}

s ipes

num_clusters

integer

BEEN 5

clustering_criterion

AIC
BIC

automatic_clustering_method

use_clustering_criterion_setting
Distance_jump
=/ME

RAME

feature_importance_method

use_clustering_criterion_setting
effect_size

use_random_seed IR A
random_seed integer
distance_measure EucTidean

Loglikelihood
include_outlier clusters A R AE B A True
num_cases_in_feature_tree_leaf_is _less_than | integer HEE AN 10
top_perc_outliers integer A A 5
initial_dist_change_threshold integer HAEN 0
Teaf_node maximum branches integer AN 8
non_leaf_node_maximum_branches integer BRAEE N 8
max_tree_depth integer BAEE R 3
adjustment_weight_on_measurement _level integer BRAEE N 6
memory allocation mb e AN 512
delayed_split i JR{E B (E -~ True
fields_to_standardize [f1 ... fN]
adaptive_feature_selection AR A E AN True
featureMisPercent integer BAEE R 70
coefRange B g ME A 0.05
percCasesSingleCategory integer R 95
numCases integer g E R 24
include_model_specifications iR M8 RN True
include_record_summary fi /R {E B4 BN True
include_field_transformations A 7R AH BREE N True
excluded_inputs fi /R M8 BRAFE R True
evaluate model quality i R AE B E A True
show_feature_importance bar chart AR (H A E A True
show_feature_importance_ word _cloud i R AE B8 E A True
show_outlier_clusters AR (H A E A True
interactive_table_and_chart
show_outlier_clusters_pivot_table AR {H HAE N True
across_cluster_feature_importance iR (E B A True
across_cluster_profiles_pivot_table i R AE B (E N True
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£ 139. twostepAS JHIE (££)

twostepAS B & BE#R
withinprofiles i RIA B EA True
cluster_distances ARG B85 True
cluster Tlabel FITER

Number
Tabel prefix FHE
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£ 14 B HERTREMN

PR AT B S AL AR A SR, HOCE 2R, WS 63 JU ¢ AT AURTE 1 [

~

applyanomalydetectionnode Ef4#

FERT DU P < S A I el BT R AR e S R R e, IO R B A 24 FR R applyanomalydetectionnode,
RGBT S E BA IR, 152 0 145 B9 anomalydetectionnode JE1E 1|

£ 140. applyanomalydetectionnode J&1E.

Bt & e pu
anomaly_score_method FlagAndScore iff E A MR Lt i P4
FlagOnly
ScoreOnly
num_fields 2 TR B
discard_records trik FER SR N b B F DR,
discard_anomalous_records trak BREEFRWILTIEZESR FREILHE, R
BN off, TREFIERMICR. G, WHRREN
on, NFAEFEHRHICHE. HEM discard_records
JEYEIS, A2 a s,

applyapriorinode 1%

AT LI Apriori #EATT SURAE AL Apriori BERIER, AU A ZFR N applyapriorinode, 7 545 AR
W E B WA R, S 146 T T apriorinode JE 1 1 |

2 141. applyapriorinode J& k.

applyapriorinode Et =] e 2737
max_predictions 7 (EH)
ignore_unmatached tris
allow_repeats trik
check_basket NoPredictions
Predictions
NoCheck
criterion Confidence
Support
RuTeSupport
Lift
Deployability
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applyassociationrulesnode [Et%

SR AT AT A O B AR e, AR S 4 BEUAS G i BV A 4 B )y applyassociationrulesnode, 7
SN BT S BT AR I 25 B, 1S 148 TUHY 1 associationrulesnode JEE 1 |

Z¢ 142. applyassociationrulesnode J& 1k

applyassociationrulesnode /& |HIBHEA Bt A

max_predictions B AT DX i AR P DL HEAT VT 2 B0 R e R
criterion Confidence TR I T 0 5 5 A

Rulesupport

Lift
Conditionsupport
Deployability
allow_repeats M5 1E T 5 2 A 2 23 b £, B R [R) Tt 10,
check_input NoPredictions

Predictions
NoCheck

applyautoclassifiernode g%

] DU <8 sl 288 A SR i H sl B B B, WAV A 225~ applyautoclassifiernode,
ARG G A S S AR TEANE B, S0 149 TUAY 1 autoclassifiernode J@ Pk 1 |

% 143. applyautoclassifiernode &1k

applyautoclassifiernode [Eik Il R

flag_ensemble method Voting T8 T BAR VR 1Y ik, {041k
ConfidenceWeightedVoting E R H AR B BB, A4S Ik
RawPropensityWeightedVoting B,
HighestConfidence
AverageRawPropensity

flag_voting_tie selection Random MRCERE T, IATEE Ws
HighestConfidence 095k, A3k e 19 H bR R AR B T B
RawPropensity F, A& .

set_ensemble_method Voting T8 T 02 ARV ik, (4 1k
ConfidenceWeightedVoting ER AR RS TBUN, A 2 B
HighestConfidence H.

set_voting_tie selection Random WERE W ERFIE, AR E M Ls
HighestConfidence W, S ke W B AR & 4 LT B

W, A& .

applyautoclusternode &%

TERTDAGE I B S RIS mORAE A H S RIS BB, BRI EIA 255 applyautoclusternode,  BEASTY
PAREAG IR, A RS HET A S IA NS S, 152 HEE 152 TU1Y 1 autoclusternode JEHE 1 |
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applyautonumericnode %
SERT DM T E ey @ iy s A B H s R, BT A B FR N applyautonumericnode, A6 5
S5 RIS E B WA IR B, 1SS 153 T 1 autonumericnode JEE 1 |
Z& 144. applyautonumericnode J&Pt.

applyautonumericnode ¥ =D B

calculate_standard_error trk

applybayesnetnode E%

SR DAGE P DL o 24 A R A pl DL 2 R B, 2R R A 24550 applybayesnetnode. 5%
G 5 RIS E BRI VN B, 1S HEE 154 TUI ¢ bayesnetnode @t |

£ 145. applybayesnetnode J&1E.

applybayesnetnode JE% ] EiERR
all_probabilities ik
raw_propensity trid
adjusted propensity i
calculate _raw_propensities trid
calculate adjusted propensities |#pids

applyc50node [E1%

CEATRLE ] C5.0 BEAYT SORE R C5.0 M, %R LI ZFR 9 applycSOnode. 45 Y4 5 AT 4
BAREE S, G20 156 TUAY 1 c50node Ja bk 1]

£ 146. applyc50node J@1E.

applyc50node ¥ i) B#R
sql_generate Never P E AL S PR AT IR Y SQL A= i
NoMissingValues T0,
calculate_conf fris JE R SQL A= B al fl;  sbJm MK B A5
SRR AR A L AR
calculate raw_propensities &
calculate_adjusted propensities |45k

applycarmanode Ef4%

EATLIGEH CARMA AT fORAE R CARMA BRI IZBRIRIG A £ 550 applycarmanode,  BURTTI A
HAEMEAMEYE, AT REY A 5 WAN ARG E, SR 157 T ¢ carmanode JETE 1 |
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applycartnode Ef%

0] DU H“C&R B # AR SR AR ii“C&R R iR B 14 BRI B JHIAR A FR A applycartnode, 15 Fe 45 A
T E S AR R, S EE 158 T 1 cartnode JEPE |

2 147. applycartmode J@ 1.

applycartnode JE1 & Bk
sql_generate Never AT BN EE P AT A 0 A SQL A= ik
MissingValues i,
NoMissingValues
calculate_conf trid Ja M SQL A U] i sb)s R B AR R
FAFETEA: AL
display_rule_id trdk VR I — B, R EMER

Za e IliVER S REp NI DL

calculate raw propensities trik

calculate_adjusted propensities | f7as

applychaidnode Ef4
T DU il CHAID AT SOk A2 i CHAID BORIER, AR IIA 255K applychaidnode, 5 45 B
WA B EAR IR S, 1S R 160 BUAY © chaidnode JE{E 1 |

7€ 148. applychaidnode J&1t.

applychaidnode B & EHERR

sql_generate Never

MissingValues

calculate_conf trids

display_rule_id trk VP I — 7 B, RoREMER
7 W0 2 f) 283 19 LAY AR IR,

calculate raw propensities trik

calculate_adjusted propensities | f7as

applycoxregnode &1

AT DU Cox B ASORAE AL Cox MERIER, (4RI IIA ZFR A applycoxregnode, 78 F4i 5 @A TT M H
BIA MRS B, S 0[E 162 BUHY ¢ coxregnode J@bE 1 |

# 149. applycoxregnode JHTE.

applycoxregnode B ] BltHiR
future_time_as Intervals
Fields

time_interval HF

num_future_times 2378

time field FE

past_survival_time FE

all_probabilities trids
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£ 149. applycoxregnode JHIE (4££).

applycoxregnode [Ei4 1 B#R
cumulative hazard ik

applydecisionlistnode g%

FERT DU - e S 21 3 T R AR PSR 91 3R R R, BRI B A #4884 applydecisionlismode, 5%
05 BT BEAS IR B, 12 5[5 164 BT 1 decisionlistnode JETE 1 |
£ 150. applydecisionlistnode )& k.

applydecisionlistnode B =l EtEiR
enable_sql_generation trids

{8 true 5}, IBM SPSS Modeler =223 it
FANFEA S SQL,

calculate_raw_propensities trik

calculate_adjusted propensities |#pids

applydiscriminantnode [E%

AT B 0 B BB R A B B BRI SRR applydiscriminaninode, Y95 AL
T E S ARG VENE B, 5SS 165 BUH 1 discriminantnode J& 7 1 |

# 151. applydiscriminantnode J&E.

applydiscriminantnode B L= B A

calculate _raw_propensities ik

calculate_adjusted_propensities trk

applyfactornode %

LA UG “PCA/P 7 AT iR A U PCA/I 7 R B, 2B i) A #4950 applyfactornode,  HUATRI B
AEAEM MR, AR EEEY S SRR R, 1520 166 TUHY 1 factornode JEME: 1 |

applyfeatureselectionnode JE¥

TmT DU R PR AR Y SR A B R IE R B R B, IR AR S FR A applyfeatureselectionnode, #
UGB S B WAR RSB, WS 168 TUHY 1 featureselectionnode JEE 1 |
£ 152. applyfeatureselectionnode J&TE.

applyfeatureselectionnode [ Il BH#R
selected ranked fields

T8 2 EAE B BT rh A AR 2L B HERR 9 7

B.
selected_screened fields Fit 28 LA AT 0] Y 5 v A A AR A L B 3 1)
B,
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applygeneralizedlinearnode &4
TR DU T SCERPE (gendin) ™ @95 ok AR i)™ SCER M BB B, BB B i B % BR
applygeneralizedlinearnode, 78 3% 5@ S H B ARG E, HZSME 169 U 1 genlinnode JE 1k 1 |
Z¢ 153. applygeneralizedlinearnode J&1k.

applygeneralizedlinearnode B4 |{& e R g

calculate_raw_propensities R

calculate _adjusted propensities |fpids

applygilmmnode Ef4#

ERTLUHE ] GLMM ST R R GLMM. KU, BRI IIAS 47K applyglmmnode. A 59 5 2
T E SRR, S0 173 Y 1 glmmnode JatE 1 |

2 154. applyglmmnode J&1E.

applyglmmnode /E# (] JELE2i:pes
confidence onProbability VSV B AT B M S i F o 0L AE 6
onIncrease B S IR e T 2 2,

score_category_probabilities Frik MR E N true, T2 N5 H A BT IIAE
OB ENE -AFER. BREHEA
False,

max_categories B BTN AR KK EH . Y
score_category probabilities & True A4
.

score_propensity trik WA E N True, AB2 AN EAVREHARAHE
A R GAMR R PE4 (“True 4k A AT RENE ) |
WA RAETHR, AT IE 25 4R 4
g3 DX 7 AR RS R e PRy . B E A
False,

applygle Bt

GLE ZHY i ] A GLE #UELH, AR B A ] #F%A applygle, A KX 58 ST IHA
Gl E 258, WS 176 TUHY rele JEME ]

7€ 155. applygle J& 1k

applygle Ef% (=] e
enable_sql_generation udf MTAERPAT IR S SQL AR ik, 4%
native Jo 20 B 7R 51 il SPSS Modeler Server

ARG E A AR E B B 2% T4 E BE 4R 1
g ) P75, diEFE SPSS Modeler 4
AT
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applykmeansnode 1%

AT DI ] K-Means SR SR AE R K-Means #ERIH, (ZHRI A A S FR A applykmeansnode,  BEARTIH
REGAAMHA R, AR E R S BEAREAGE R, S0 180 FAY 1 kmeansnode Jg 1k 1 |

applyknnnode &%

CRAT LG ] KNN BB kA4 il KNN BRI H, R I A SR S applyknnnode, 76 Y405 @ BI15 51
BHA VSR, ES 0 181 JUHY ¢ knnnode Jm 4 1 |

% 156. applyknnnode J@1E.
applyknnnode ¥ & EiERR

all_probabilities ik
save_distances tri

applykohonennode Ef4%

fa] DI f#i i Kohonen FEAFFT 564k i, Kohonen #FIER, 1% Bl BIAS ZFR S applykohonennode, AT He
REAATAMHA R, A XM B S H BAREAGE R, S0 156 T 1 cS0node Ja@ k1 |

applylinearnode Etf¥

ST DL P8 AN R LR R B, A AR 4R R applylinearnode, 5 -4 BHBT M A
BIA RS B, 152 [ 183 BUA 1 linearnode Ja Tk 1]

7¢ 157. applylinearnode J&1E.

Tinear B & e pu
use_custom_name s

custom_name FHEER

enable_sql_generation s

applylinearasnode &%

Linear-AS ## B 0] I T A %, Linear-AS BRI, BRI AG§ 2 FR A applylinearasnode, 4 4
BEBT S E B ANEAGEE, 5305 184 TUAY 1 linearasnode J@ M 1 |

7¢ 158. applylinearasnode J& 1

applylinearasnode [El% & e pu
enable_sql_generation udf BREHE N udf,
native
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applylogregnode Ef%

TR LR “Logistic [m] I 458 71 455 45 i 2R i “Logistic [l R A6 Y B, 32 68 R e ) I A 4 7 Oy
applylogregnode. 7 X455 I 5 H S AR PEAN(E S, 752 MEE 185 BUAY 1 logregnode JEtE 1 |

7€ 159. applylogregnode J&E.

applylogregnode B & et pu
calculate raw_propensities ik
calculate conf trids
enable_sql_generation &

applylsvmnode &%

LSVM &AL i n] A LSVM BRI, SRR AR ] 25 N applylsvmnode, A 3R G H B
HEATRAS S i S 205 6L, 12 5 190 BUAY ¢ Isvmnode JaitE 1 |

2 160. applylsvmnode J&HPE

applylsvmnode [Et¥ & Bt

calculate_raw_propensities trdk 8 R VTR AR 1355,

enable_sql_generation udf TR AT/ ERs” (MRT%%E) gFTE
native WARTVESY, B RAEEE ESNVESY

applyneuralnetnode E14%

SRT UG PR 2 R 245 B ROR A L 2 R 2 UL, I R IR ZFR N applyneuralnemode. 45 5%
SRR E SEARR AR, WS HEE 190 5T ¢ neuralnetnode Ja Tk 1 |

R AEMLRATICR SR AL T A SR S RE AR A M R IR, FEHAE T — T (applyneuralnetwork) i
frove, B SERIAIIR Al L, A FATRE SR A UG B A A, BLARDR B 1 e hRAS A VAR 5 6L LA
W%, (B AR AR EAT I P A SR,

£ 161. applyneuralnetnode )& k.

applyneuralnetnode B LT EA
calculate_conf Pk JE ) SQL AR BN AT ;e ks AR B R
TETEAE IR b
enable_sql_generation i
nn_score_method Difference
SoftMax
calculate_raw_propensities YT
calculate adjusted propensities | frids
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applyneuralnetworknode &%

SRT DUt 22 o &8 i A SR A P 2 P 5 R R RN R A S FR A applyneuralnetworknode, 5
g B A S B AR AN B, S 192 1Y 1 neuralnetworknode JE M 1 |

7¢ 162. applyneuralnetworknode &k

applyneuralnetworknode &M% & e pu
use_custom_name iz
custom_name string
confidence onProbability
onlncrease
score_category probabilities trids
max_categories number
score_propensity trids

applyquestnode &%

AT LU QUEST @B miok A QUEST KA, IZHURIRIIA 28R applyquesmode. 5 F9 5 1
1A B A RS B, 152 E 194 TUIY 1 questnode JatE 1 |

7 163. applyquestnode &1k

applyquestnode Bt B JEHEi:pes
sql_generate Never
MissingValues
NoMissingValues
calculate_conf iz
display rule_id tr TEVE s I — A, RoRENIEs
73 B0 B B 283 35 S ATRR A,
calculate_raw_propensities W

calculate_adjusted propensities ik

applyr Eit%

AT DU R A a Y Sk A R BRI MOV A A Gn ] B FR A applyr, ARG BEET S H G4
MVEAE S, E2ME 155 0 1 buildr JETE |

£ 164. applyr JE1E

applyr B & e

score_syntax FAT T HATRARIE N R AT,

convert_flags StringsAndDoubles BERET T B e bn 77 B
LogicalValues

convert_datetime tri BEREIH TR B H a0 H i fa] 4% X

A R A R H B/ A% =X,

convert_datetime class POSIXct X LB I T g o K H IR H B (A
POSIXTt 6 Uy AL B AT A 2L,

convert_missing R PUIET TR S R NA
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£ 164. applyr JEVE (££)

applyr B ] e

use_batch_size tris SRR AL 2

batch_size integer i B A TE G AR I b 1 B I SR
#

applyrandomtrees Ef%

“BEMLA EAR Y S ] A R BE AL AR TR B AR R B AR 2 ) 4 FR R applyrandomtrees, A5 FERT AR 5
H 5 T IA G R E 245 8, ES0E 196 B 1 randomtrees JE M 1 |

2 165. applyrandomtrees &1t

applyrandomtrees E% T EHR

calculate_conf PR SR MR AR B A S AR A R

enable sql_generation udf MTFAER AT B B SQL A kI, pedF
native J& #E 3 BcdE 2 83 SPSS Modeler Server i

O3 38 e A (R 4 B A T PR 5E S 1
BARE ) #1715, SETE SPSS Modeler
4T

asapplyregressionnode [Ef4%

SR DG LR [0 U e A e A i e P [ B e, BRI AR Z A5 applyregressionnode,  JEASI
PR B HAD R, ARG EEB R E S WAN G R, ES 0 197 TUHY 1 regressionnode J& Pk 1 |

applyselflearningnode 1%

AT DA | 2z i B (SLRM) 7 BT ok A it SLRM BIAY B 1% B0 B i1y I A 2 8
applyselflearningnode, 74 5% G S H B AL B, EZS 0 200 F1 1 slemnode J@ M 1 |

£ 166. applyselflearningnode J&1E.

applyselflearningnode Bt =] EA

max_predictions B

randomization HF

scoring_random_seed BT

sort ascending ¥ 0 S AT B R TE 4> e i i 2 A AR 4R
descending

model reliability tids Motk B UR IR o A BB ] S R R IR IRAE N

applysequencenode &%

ST DURE R 1 A3 iSRRI B, AR T SR B A Z A5 N applysequencenode, BRI BN HLAT
FETI AL, 55 BT A SIAI RIS B, 15255 199 TUIY © sequencenode Jatk 1|
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applysvmnode Ei%

CRAT DL SVM BB SOk A B SVM BRI B, % RITEIHL A ZFR K applysvmnode. A F- 45 BB 5 H
B RA NS B, 152 M[E 205 5L 1 svmnode JBTE 1]

7¢167. applysvmnode J&1E.

applysvmnode &M & e puy
all_probabilities &
calculate raw_propensities s
calculate_adjusted propensities i

applystpnode E%

STP FEBEHT il AT A ORHRA AL B, BRI A it A 7 b s AL . ST 10 B A G 1 42
applystpnode. 5 FXT A 5 E BHEATIIAGR T TE 245 8, 75 S5 201 U ¢ stpnode JRTE 1 |

% 168. applystpnode J& 1

applystpnode &% HiiRea B
uncertainty_factor iR (E w/AME N 0, FKMEN 100,

applytcmnode &%

ISP R AR (TCM) @YY ] AR TCM BRI B, BBV AR G il 249K applytemnode, 4155
SRR AU B TR 1 B 245 B, TE S 5 206 BURY ¢ temnode JETE 1 |

£ 169. applytcmnode &1

applytcmnode [Eit§ & BEHER
ext_future i 2R 1E

ext_future_num integer

noise_res i 2R 1E

conf_limits i /R {E

target fields EZIES

target_series PIES

applytimeseriesnode Eft

ST DU B) 3 2 AT SO AR BN E] A AR B, X BB RIAS AR applytimeseriesnode. A6
EHB S E S HANEA(EE, 152 Wimeseriesnode JE 1]

% 170. applytimeseriesnode J&1E.

applytimeseriesnode Elt (] e 2737
calculate_conf i
calculate residuals trik
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applyts Bk

ST DL P IS 18] e 910 S A e 2 B () P 1) R e, O SR ) AR S ) 44 9K D applyes. A R XY
S B HATIA g R E 2058, 1S5 209 T e JEbk |

171, applyts J& Mt

applyts B4 ] Bt
ext_future AR MH

ext_future_num integer

noise_res MR 1E

conf_limits i R E

target fields EZIES

target_series JZ%

applytreeas Ef%

Tree-AS JB fin] TR Tree-AS BRI, BB HLA A 2 F8 N applytreenas, A RKXTEBT KiH
BT ARG I 258, 1S5 213 BUAY 1 trecas JETE S |

7 172. applytreeas &1k

applytreeas Bl B JEHE2i:pes

calculate_conf trds BUJE MR B AR B R S A A

display_rule_id trk VT P I — B, RoRBMER
4 e 2 f) 283 19 R AR IR,

enable_sql_generation udf TR BATHIA L & SQL AR kI,  BE4%

native & #E 3 5cdE 2 88 SPSS Modeler Server i
Srim e O SR 3 2256 T PE o b i 48 1Y
Bl ) BEATPRSY, BUETE SPSS Modeler 4
PEAY,

applytwostepnode Ef%

AT UG Y R A i BB, IR A 5 FK 0 applytwostepnode, BRI BOANHA AT
AR, A @R R E B IA RPN (R, 1S HE 214 G twostepnode JEfE 1 |

applytwostepAS [Ef%

Zkr AS BB AT T AR B AS BB, BECBURI I I AR Gl 2 P N applytwostepAS,  BUBRIUR BA
AR, A S BB S SR VA E, IS 215 TUY 1 twostepAS Jatk 1 |
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%15 ¥ HiRERET REL

IBM SPSS Modeler 37455 2 55508 4 1L 0 1 A 45 A2 48 P e A T B4R B, iX 045 Microsoft SQL Server Analy-
sis Services, Oracle Data Mining, IBM  DB2® InfoSphere Warehouse Fl1 IBM Netezza® Analytics, , fn

LAf# i} TBM SPSS Modeler 1 FIREFF H A (508 Fk A BRI F X B UEAT PRI, 38 m] UG AR5 43 69
P 3 2 5 A SR s AR A BB R

fian, DLURBARR R T anfa i ) IBM SPSS Modeler I 4 il %1 ] Microsoft Decision Trees 5%

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server name", 'localhost')
msbuilder.setPropertyValue("analysis_database name", 'TESTDB')
msbhuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX')
msbuilder.setPropertyValue("custom fields", True)
msbuilder.setPropertyValue("model name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql _generate", True)

tablenode.run([])

Microsoft E&EHT 2B
Microsoft Z#&T5 m Btk

AItE

Microsoft KiCHf g g A 1Y sl () 22 L@ PRI R s,

& 173. 4536 Microsoft 75 j5 )@

2k Microsoft T /B =} Bt

analysis_database name string Analysis Services £ 1 A 5.

analysis_server_name string Analysis Services LI ZFK,

use_transactional_data prak I 7 i A K R M B R o5 A

inputs EIES FHHE B A\ B

target FE W7 (REHTMS B W FHIRE T AR |
unique_field FE R,

msas_parameters ittt BB, ARELZEE, WSNE 233 M r Bk
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£ 173. 453t Microsoft 1)@t (££)

2#t Microsoft 5 /Bt =1 e pu
with_drillthrough PR CHEFTER AT BT,
MS PSRt

WA A mstreenode AU S LHAMEME. S RAT LA S Microsoft J& .
MS $J

WA A msclusternode BRI M@ CAMIEE, S AT LI AL Microsoft J& 1,
MS S HL ]

DU He s J@ P n] 1T 2558 msassocnode (1977 fi:

% 174. msassocnode J&HIE

msassocnode JEE i1 JEL e pay

id_field FE PRIR I v 1 B I 2 5
trans_inputs EIES 555 B Y A TR
transactional target FE B (F5508) .

MS #hEK DL fl

%Al msbayesnode ZERIRYY fiE LA M EYE, WS RAT LA Microsoft JEHE,

MS Z& (A I

BA K msregressionnode SRR SUE LAMKEM:. HSRAT LA AL Microsoft J@ .
MS 22 R4

%Al msneuralnetworknode ZERIRYY fiE LR IEYE, S RAT LB A3 Microsoft J& k.
MS Logistic [A] 5

A K mslogisticnode RIAYTT SUE CRMKIEME, HSHAT LM A3 Microsoft J& .
MS i [a] 551

BA K mstimeseriesnode R miE LAMEN:, EHSRA T LA AL Microsoft J& .
MS JPAIIR%E

DL J@ AT I T255 % mssequenceclusternode i &

% 175. mssequenceclusternode &1k

mssequenceclusternode B =] EE#A

id_field FE ARV & FL Rl RS B
input_fields B7E3 &S CinivkiNS =
sequence_field FH FPAbRiA,
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% 175. mssequenceclusternode JETE (££)

mssequenceclusternode JE1% & =Lz
target_field FE B (Ffdl) .
BiEBH

B Microsoft i e LAY SRR G 0l {f i msas_parameters J@MRIEEMFE S5, Flan:

stream = modeler.script.stream()

msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas_parameters", [["MAXIMUM_INPUT ATTRIBUTES", 255],
["MAXIMUM OUTPUT_ATTRIBUTES", 255]])

RESHIEA SQL Server, EEF RN RAIMHKSE, wHIITINTHAF
o Bl P P R A

FTIRZ R I AL

ELHRIR T 812 b e i — A R
MRBFRINR PR —DAE,

A BRRE DL 5 P % 00 A Y A

B A5 H HL R YRR Microsoft e 22 EAR 1Y .

T He e A7 A

HEHFEREI R,

Bl 2 R4 TS SR msas_parameters Jaf,

Microsoft 1EAIt E 14
i il Microsoft %4 e 2 #5545 i B p A A B B 41 Jg 1k

A o

MS e

#176. MS YL HT g k.

applymstreenode &% & R

analysis_database_name FrFH A DUE AR PO 3 R AT PR AT
BEJE M FHFARIR Analysis Services % e Y & FR.

analysis_server_name A Analysis fig 5525 £V 2R,

datasource FrFE SQL Server ODBC #(#&1i 8 (DSN) HYJ £ FK.

sql_generate PR JE I SQL AR

MS 2tk [] )]

# 177. MS ZAE[E HJE T

applymsregressionnode [ =] ik

analysis_database_name FrFHh AT DA HAE I PO T AT PR AT
R M A F AR Analysis Services i e Y £ K.

analysis_server_name FAFH Analysis [z 58 EVLHY 245K,

MS #2502

515 B OBR BT AR
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F178. MS #HE 2 g PE.

applymsneuralnetworknode E[4 =] Ak

analysis_database_name FArF A DUE AR PO B AT
Mg M TARIN Analysis Services B % 1Y 44 7%,

analysis_server_name FIFER Analysis I 55 &% FHLH &R,

MS Logistic [A] 4
# 179. MS Logistic [a] g 1E.

applymslogisticnode Eff =] ik

analysis_database_name FF AT DA A o T SR AT VR4
g T 718 Analysis Services #2124 7%,

analysis_server_name FIF Analysis 55 #% EHLT ZFR,

MS B [a] 751
2 180. MS [if[H] 741 Je HE.

applymstimeseriesnode &4 =] ik
analysis_database_name F AT DL B A I ot e ST VR4
SR PE T AR Analysis Services Hffi 4 HY 44 7K.
analysis_server name T Analysis e 5 LI 25K,
start_from new_prediction R S AT A SR T4 2 7 o T,
historical_
prediction
new_step T FE SUAR R SR FF 46 s ) B
historical step HF S SCH7 S RN AY TR e B
end_step T FE SUTIIN 25 SR ] B
MS FHIRE
# 181. MS JFIREE .
applymssequenceclusternode & & iR
analysis_database_name TR A DL BT PR I s ATV
IJEPE T 4718 Analysis Services i 2 (1 24 7K.
analysis_server_name FIFER Analysis Il 55 &% FHLH) 2R,

Oracle BEERKT B
Oracle ZET AR K

Oracle $dfs 2 @ AL 55 A SL @ M F s,

F#182. 483t Oracle 75 /5B 1E.

A4t Oracle 5 &EM &

S

target FE
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182 453t Oracle 558 1E (£2).

A Oracle HEEM =] JEL i pay

inputs FEIIIE

partition FE Mo B T B B DO AR AR AR, DLT T 1R Ay 1
MR, AT AT IE B B

datasource

username

password

epassword

use_model_name iz

model_name FFE BRI ) S T A4 PR

use partitioned data trdk AR LT KT B, A B In] (R AN 250 XY
Hct T AR AR

unique_field FE

auto_data_prep frk JAMEZEA] Oracle B sh#lEHERIIRE ((UEMT 11g %
W) .

costs ittt TN a5 H b g ik
[[drugA drugB 1.5] [drugA drugC 2.11]1, HH [] =
A T A% o S T AR

mode Simple WEAA T RUBYETRTERROAORE, WPRIEE N Simple,

Expert B AN F A fE

use_prediction_probability s

prediction_probability FIT

use _prediction_set i

Oracle Fhz D13

KT oranbnode [T AW HEYELN T s

% 183. oranbnode JETE.

oranbnode B =] e 2737
singleton_threshold HF 0.0-1.0.*
pairwise_threshold HF 0.0-1.0.*
priors Data

Equal

Custom
custom_priors Hithtt TE A B 5 4 A Je -

set :oranbnode.custom_priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* R mode WEA Simple, 4 ZEJEME.

Oracle Adaptive Bayes

ZAIKy oraabnnode [T 1 AT R AT i s
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Z% 184. oraabnnode |B1E.

oraabnnode JEff L=l A
model_type SingleFeature
MultiFeature
NaiveBayes
use_execution_time_limit W *
execution_time_limit ki34 HLHRT 0, *
max_naive_bayes_predictors B HBHIRT 0, *
max_predictors ki34 EHLHKRT 0, *
priors Data
Equal
Custom
custom_priors Byl =W MUkt e e
set :oraabnnode.custom priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4][drugY 5]]

* IR mode BEE N Simple, HBAZHEJEME.
Oracle F¥F[] &AL
AN orasvmnode (175 A5 AT I PR G0 R B

F 185. orasvmnode &Pk,

orasvmnode [t & ElHEiR
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

minmax

none
kernel cache size A & AT E N, (BT 0, *
convergence_tolerance BT EHLHART 0, *
use_standard_deviation R fGE S m i, =+
standard_deviation T HBHART 0, *
use_epsilon trik A T B AR,
epsilon T EHLART 0, *
use_complexity factor s g
complexity factor HF *
use_outlier rate trik S T B2 i, *
outlier_rate W S 248K, 0.0-1.0.%
weights Data

Equal

Custom
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% 185. orasvmnode JEVE (£E).

orasvmnode [Ef#

S :pus

custom_weights

TR a5 H Ak a1

set :orasvmnode.custom weights =
[[drugA 1][drugB 2] [drugC 3] [drugX
4] [drugY 5]]

* N mode BEE A Simple, WA ZMEJEME,

Oracle |~ L Ze T

KAL) oraglmnode FY7Y B w] FJE LA T B 7m:

2 186. oraglmnode J@1t.

oraglmnode & ] B
normalization_method zscore

minmax

none
missing_value_handling ReplacelithMean

UseCompleteRecords
use_row_weights ik *
row_weights_field FE &
save_row_diagnostics trds *
row_diagnostics_table FrFE &
coefficient_confidence HF *
use_reference_category ik *
reference_category FIF *
ridge_regression Auto *

off

On
parameter value HF *
vif_for_ridge i *
* R mode K E A Simple, HFAZMEJEE.
Oracle KR}
JHIA oradecisiontreenode (175 5 (19 w] A HEUN T Fr/R:
F 187. oradecisiontreenode JEE.
oradecisiontreenode JE% il Bt
use_costs trids
impurity_metric Entropy

Gini
term max_depth f2378 2-20.%
term minpct_node HF 0.0-10.0.*
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% 187. oradecisiontreenode JETVE (%E).

oradecisiontreenode /&M ] e
term minpct_split HF 0.0-20.0.*
term_minrec_node Fi1334 HLART 0, *
term minrec_split 37 HBHRT 0, *
display_rule_ids Rk *

* PN mode BN Simple, HBAZMEIEME.

Oracle O-Cluster

FH K oraoclusternode (19717 & 1R HIEHEAN T fr7R:

2 188. oraoclusternode J&EE.

oraoclusternode [ & BiE#ER
max_num_clusters Ei1S34 ELART 0.
max_buffer B HLHRT 0, *
sensitivity 7 0.0-1.0.*
* 04 mode ¥ E K Simple, HFAZMEJEME.
Oracle KMeans
Al orakmeansnode 7 A A AT R M AR TR
% 189. orakmeansnode JETE.
orakmeansnode JEf# =] e pu
num_clusters R EHBHKT 0.
normalization_method zscore
mi nmax
none
distance_function Euclidean
Cosine
iterations A 0-20.*
conv_tolerance B 0.0-0.5.%*
split_criterion Variance B4 (N Variance, *
Size
num_bins B HLAHKRT 0, *
bTock_growth B 1-5.%
min_pct_attr support 0T 0.0-1.0.*

* N5 mode BEE A Simple, HEAZMJEME,

Oracle NMF
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% oranmfnode 747 &5 1 W] FJE MU0 R 7 5
% 190. oranmfnode &1t

oranmfnode Bt & EERR
normalization_method minmax

none
use_num_features ik &
num_features B 0-1, GRAE(H B ER IR AL B, *
random_seed HF *
num_iterations [%54 0-500.%
conv_tolerance T 0.0-0.5.*
display_all_features i &
* 4R mode HE A Simple, JFA4ZHJEME.
Oracle Apriori
FKA Ky oraapriorinode Y7 £ A B LN T BT 7w
£ 191. oraapriorinode J&1t.
oraapriorinode B4 =T JER k2PN
content_field FE
id_field 5
max_rule_length B 2-20,
min_confidence HF 0.0-1.0,
min_support T 0.0-1.0,
use_transactional data iz

Oracle f/MER K E (MDL)

BoA My oramdTnode  FYHT mE LEIRE M. TS TA T IR EHIE A Oracle JETE.

Oracle JEMEHEEME (AD
FAIH oraainode AT S A FHEPEUNT P R:

#192. oraainode JETE.

oraainode B &

i

custom_fields trk

WNERN troe, ARSIV Y FTTT SR E HARTFBL A
FRMEAFE, K false, TR2ME 6 LA
RO o

selection_mode

Importancelevel
ImportanceValue

TopN
select_important PR 1E selection_mode ¥ & Importancelevel I, F57&
e TR,
important_label FA e A H B RR A BR A
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% 192. oraainode JEVE (£E).

oraainode JEfE =l B A

select_marginal tri 1E selection_mode ¥ # N Importancelevel I, F57&
/LN F R,

marginal_label Frf T8 PR HERR AR 2.

important_above HF 0.0-1.0,

select_unimportant s 1E selection_mode X~ Importancelevel WY, F57&
e AT,

unimportant_label FITH 88 AN EEHERR AR A

unimportant_below HF 0.0-1.0,

importance_value BT 1E selection_mode ¥ 'E A ImportanceValue I}, F57&
B AE. B2 0 F 100 HYME.

top_n T 1E selection mode ¥ & & TopN B, 8 il A4 A
. #3220 F| 1000 FI{H.

Oracle #HZVHLEMH

i/l Oracle BLHLGE F R P B A T 51 @ik,

Oracle fh&E DL

WA N applyoranbnode ZEHUAYY i L HAARJE 1.

Oracle Adaptive Bayes

WA A applyoraabnnode 2EHUAY Y S CHARJE M.

Oracle ¢l &AL

WA N applyorasvmnode AT o AR,

Oracle HLRM

23k applyoradecisiontreenode W7 SRR HETEUDT Frw:

2 193. applyoradecisiontreenode )&t

applyoradecisiontreenode /Bt ] e pu
use_costs i
display_rule_ids Yy

Oracle O-Cluster

% i applyoraoclusternode I M@ L HK R,

Oracle KMeans

WA applyorakmeansnode  ZRHIAYT e LR JE M.

Oracle NMF
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THEME T applyoranmfnode 2514 ¢

% 194. applyoranmfnode J&E

applyoranmfnode JE14

(=)

S

display_all_features

tri

Oracle Apriori
I HORRE R, T AR
Oracle MDL

VRPN RE R T A,

IBM DB2 ZiEF =B

IBM DB2 ZiEH SEH

IBM InfoSphere Warehouse (ISW) %k 28 A6 17 55 19 A L@ AN T i w.

F 195 N 3E ISW Tk JE .

pIt ISW T SEM (=l e
inputs FEIM I

datasource

username

password

epassword

enable_power_options i
power_options_max_memory Ei1230 EHBHRT 32,
power_options_cmdline FRF
mining_data_custom_sql TR

Togical data_custom_sq]l FrF

mining_settings_custom_sql

ISW He S

2Ky db2imtreenode [T s BT HJEYELT T BT 7s:

% 196. dblimtreenode JETE.

db2imtreenode B & Bl

target FE

perform_test run s

use_max_tree_depth ik

max_tree_depth k534 KT 0 HIMH.
use_maximum_purity i

maximum_purity BT T 0 5 100 ZE A5,

515 B OBR BT AR
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% 196. db2imtreenode JEPE (%E).

db2imtreenode B4 il e

use_minimum_internal cases Vi

minimum_internal_cases 155 KT 1 1A,

use_costs i

costs Zitfe T AN 454 Ak Ja 1
[[drugA drugB 1.5] [drugA drugC 2.1]1]1, H [1 FIE
75 2 S T FUAR

ISW Bk

2% db2imassocnode FYT & i AT @ M0 R BT R

#197. db2imassocnode J&TE.

db2imassocnode JEM¥ & JE2:3ns
use_transactional data iz
id_field FE
content_field FE
data_table_Tayout basic
limited_length
max_rule_size B HVHKT 2.
min_rule_support HF 0-100%
min_rule_confidence HF 0-100%
use_item_constraints i
item_constraints_type Include
Exclude
use_taxonomy Vv
taxonomy_table_name TR R T A SR TR B DB2 R 4475,
taxonomy_child_column_name FAT SPRERDPFIIR AR, BFIIESIHE AL 4.
taxonomy_parent_column_name TR IrIERP AT TR, EXIE & 4.
Toad_taxonomy_to_table tris P21 Y AL AR IBM SPSS Modeler HH7EA# 11 4
RKIEFEE LR LR, HIEE, WRDPREERCESF
1, Moz HEFF. 70 RIEE AT AR A 5 A
th, ATRUME A 4EBZEA HI RIEBDEE RV T .

ISW &4

A% db2imsequencenode [ A W] JE M R B

£ 198. dblimsequencenode )& 1.

db2imsequencenode JEfE & B A
id_field FE

group_field FE

content_field FE

max_rule size B HLART 2,
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£ 198. db2imsequencenode JETE (%E).

db2imsequencenode Eff =] BERIA
min_rule_support HF 0-100%
min_rule_confidence HF 0-100%
use_item constraints Vi
item_constraints_type Include
Exclude
use_taxonomy iz
taxonomy_table_name TR X T A 2R EE TR AN{E B DB2 K&K,
taxonomy_child_column_name FRF e SPRERDPFII AR, YIS IHE AL 4.
taxonomy_parent_column_name TR SRR AT 2R, RIS IR,
Toad_taxonomy_to_table iz R N AEAS B K IBM SPSS Modeler HHA7EAif 1 7

RLfEE LEENREER FER, MRS EERCEST
fE, Mozt EEST. R BAF AR E 1Y A
t, WTRIGE A 4RiEEn] M gRiEm KA AT .

ISW 5] 15

KAy db2imregnode HY-Y kA R R MELN T B

£ 199. db2imregnode J&H1E.

db2imregnode [Ef¥ =] BEHER

target FE

regression_method transform WERETER, PLTHIY regression_method % E N rbf
Tinear A 38 FHA SR
polynomial
rbf

perform_test run FE

Timit_rsquared_value Rk

max_rsquared_value T T 00 5 1.0 Z[AIMHE,

use_execution_time_limit i

execution_time_limit_mins 330 KT 0 14,

use_max_degree_polynomial trik

max_degree_polynomial B

use_intercept trik

use_auto_feature_selection method | f5ds

auto_feature_selection_method normal
adjusted

use_min_significance level i

min_significance_level HF

use_min_significance_level ik

THgEt RAFE regression_method % E A rbf B A& .
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£ 200. db2imregnode JHIE (UIF regression_method X &y rbf) .

db2imregnode J@ 1k e JEEHEA
use output_sample size tris WK true, APAHKHEH Sk & HAGE.
output_sample_size HH AN 2.
R/MER 1,
use_input_sample_size PRk R K true, AAHHEH Shik & AREE,
input_sample_size B BRAEHEA 2,
R/MER 1,
use_max_num_centers trik WA true, AE2KHEE shik B AEAHE.
max_num_centers 123 B E 20,
R/MER 1,
use_min_region_size b WARR true, AR2RHEE Shik BN ERE .
min_region_size B8 BRAEEA 15,
R/MER 1,
use_max_data_passes i WRA tue, ISAKEE K E HELAE,
max_data_passes 23 AEE N S,
R/MER 2,
use_min_data_passes trik WARR true, AR2KHEE Shik B ERE .
min_data_passes k1330 BRAEE R S,
/MER 2,
ISW H2&
274 db2imclusternode {75 & 10 AT @ MU0 s
% 201. db2imclusternode J&1E.
db2imclusternode Bt =] e
cluster_method demographic
kohonen
birch
kohonen_num_rows B
kohonen_num_columns E2374
kohonen_passes B
use_num_passes_limit Rk
use_num clusters_limit i
max_num_clusters B KT 1 HYMH.
birch_dist _measure Tog_likelihood B8 fE A log_likelihood,
euclidean
birch_num_cfleaves B A 1000,
birch_num_refine_passes Ei3 HAEEA 3; R/AMER 1,
use_execution_time_Timit s
execution_time limit_mins E2 KT 0 M4,
min_data_percentage HF 0-100%
use_similarity_threshold ik
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% 201. db2imclusternode JETE (4E).

db2imclusternode B =]

s ipes

similarity_threshold BT

T 00 5 1.0 Z[alf{A.

ISW A& DL it-Hr

KTy db2imnbsnode 1177 &R A HE M B s
% 202. db2imnbnode J&TE.

db2imnbnode B4 =] Bt

perform_test_run trik

probability threshold HF B (E R 0.001,
B/AMEN 0; FRfEN 1.000

use_costs s

costs Eegokla TE AN A S5 AL Jm Pk
[[drugA drugB 1.5] [drugA drugC 2.11], H [] @y
I A i S B T AR

ISW Logistic [A] 5

FH K db2imlognode -5 (1A @M Q0T fT7R:
% 203. db2imlognode JHTE.

db2imlognode [Ef¥ =] Bt
perform_test_run Yy

use_costs i

costs ittt T AN 454 Ak J 1

[[drugA drugB 1.5] [drugA drugC 2.111, Hr [1 i
A S B T A

ISW [} [8] 541

EE WMATBESEARTIA A, GECREMATRIMAFEBESE, IBamm— 8, S A e

HH Ve NIEAT B, ERABATE.

HKHHy db2imtimeseriesnode (1975 s B A @M UNT Fir 7

FE204. dbimtimeseriesnode JEVE.

db2imtimeseriesnode El% ] EHR
time FE OV R R, I Ta] a3,
targets FEM I

forecasting_algorithm arima

exponential_
smoothing

seasonal_trend_
decomposition
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% 204. db2imtimeseriesnode JEME (£E).

db2imtimeseriesnode JE4 i e
forecasting_end_time auto

G2

date

time
use_records_all i IR 1E IR, W% 'E use_records_start

F1 use_records_end,

use_records_start FEHyit [l H Y BT I 1) - B il 2 1Y
use_records_end BRI [l H BT isF 1] 2 B ry 2 Y
interpolation_method none

linear

exponential_splines

cubic_splines

IBM DB2 #EEHREE
f§Ffl IBM DB2 ISW AU QIR GBI B T SR b

ISW Jesem

WA A applydb2imtreenode AU F T SE LR JE M,
ISW Bk

I HORBE N T A,

ISW 54

RSN AV R

ISW [a] 4

B applydb2imregnode 84y 5 e AR HE.
ISW s

%A N applydb2imclusternode 28T iy i SCHR @M,
ISW ARz DU

BEA 9 applydb2imnbnode MY 1Y fi5E LR AKJEHE.
ISW Logistic 5]

%A N applydb2imlognode JSHI [ H5 fi s SRR JE .
ISW I 1] 741

IR HORBE Y T A,
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IBM Netezza Analytics ZE#&+ SE M

Netezza EHET HEM

IBM Netezza #3545 s 10 A L@ Pt~ s,

72 205. nHE Netezza 15 45 & HE.

Nt Netezza T EJEHE

=}

JE e pa

custom_fields

triE

RN true, IR2SVFEN LRI RHEE AR 7B AT
BOMIHA 5Bt W2RA false, R2M B IF I 5 ffY
HHIBCE.

inputs [fieldl ... fieldN] ST i el A i A B s A 5
target FE HirFB (GEZEnIK) .
record_id T BEVEME — 10 RAR IR 5= B
use_upstream connection trid WA true (B4, IR2ERVEAE BAE LI sH 4R
E. FEFEE T move data_to _connection B AffH,
move_data_connection trik WERK true, MAKEIREZHEH connection #57&E MYEHF
i, TEF5E T use_upstream _connection I A{ifi i,
connection Ecgiakia T AR Netezza B FERYEHFAT . #5Ctn
NS AR AL TR
["odbc' '<dsn>' '<username>' '<psw>' '<catname>'
'<conn_attribs>' [true|false]]
Hor:
<dsn> JEEHE IR A PR
<username> FlI <psw> J&Kf 1 T 44 R D
<catname> f&H &K
<conn_attribs> iR M
true | false F§/m /& 757 Z# A0,
table_name T X T A B R A B e R ) 4.
use_model_name trik R F true, #AH model name $85E 19 & FRIE M 4
PR, AR RGN BT 255,
model name T B R AR,
include_input_fields trik WAy wue, [ FIHAEEITAATE, & MUE G

HHY record id FIFEL

Netezza L5

I netezzadectreenode [ & i T @ M40 T BT R

K 206. netezzadectreenode JETE.

netezzadectreenode B4 L] B
impurity measure Entropy ZR g, T PR AR 4 BB Y A A
Gini .
max_tree_depth E2274 AT DA B i e K BB, B (N
62 (FKATHEM ) .
min_improvement splits ¥ DEAT 2 50 T A6 250 95 FE 1) o AR AR B OE
fE{E R 0.01,
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% 206. netezzadectreenode JETVE (£E).

netezzadectreenode Btk (=] e
min_instances_split E 1374 AT DLEAT 23 BT AR N B /N2 R0 %
. B 2 (lR/haThE(E ) .
weights Hitytt B R HRALE, A 454
J
set :netezza_dectree.weights =
[[drugA 0.3][drugB 0.6]]
BRI L T A BRSO 1,
pruning_measure Acc AN Ace (HERRTE) . UNR AL
wAcc FME BT K R T EAE N, W AE A

wAcc (MBUREIfA ) B AR,

prune_tree_options

allTrainingData

partitionTrainingData

BT, {4 allTrainingData 3£
il TF B RDRE B . A
partitionTrainingData 45 & ZfHf il

useOtherTable
R E S, 5 useOtherTable 3k
it 4 58 e 2R A N 2R A a4
perc_training_data BT R prune_tree options &HEN
partitionTrainingData, HSA15:E
TINGRm e i o 1| 20 .
prune_seed 257 fE prune_tree_options WH N
partitionTrainingData B, T EE D
s REILFNT, BEE R 1.
pruning_table FrF X SR T Al SRR M 1) ok ST A BT 8K
P B R 44T,
compute_probabilities & WA rue, AB2KE AR NCE 15 R

(BER) FBLL i B,

Netezza K-Means

A K netezzakmeansnode B FT A A A @M R T s

2% 207. netezzakmeansnode JEVE.

netezzakmeansnode Eiff =] B A
distance_measure Euclidean X TR Bl i [ R A T
Manhattan
Canberra
maximum
num_clusters B TOERMREEG EER 3.
max_1iterations k534 AR, BRRNZGTEI 2 a1k, BAEE R 5.
rand_seed BH XTI as R EELR T SRR 12345,

Netezza Bayes %%

HH K netezzabayesnode Y1 & KA @ MELAN T T 7R:
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£ 208. netezzabayesnode JETE.

netezzabayesnode B4 B

s ipes

base_index f2358

X — A AT B E BT AR, T AT R B
BN 777,

nn-neighbors

sample_size B Je PR E R ORI SR R REA /DN, B4 (H A 10,000,

display_additional_information trdk MR true, IS2AETH BXIEHE A BRSNS R,

type_of_prediction best BT R TR ST best (fAHICHYAHAR{E ) . neigh-
neighbors bors ( FHABME M AIAL TN ) B nn-neighbors (3EZSFHAT(E ) .

Netezza fpMZ D14

A% netezzanaivebayesnode (175 &K AT @ M A0 T T R

% 209. netezzanaivebayesnode J& .

netezzanaivebayesnode B il

i

compute_probabilities Vi

AR true, AP2KAE A BEGOH (R ) 7B Ll Rt
TE.

use_m_estimation ks

WA wue, A H m-estimation $7A DLE G Ak 53] 19

Netezza KNN

HH Sk netezzaknnnode 147 5 14 AT R M 0 R T R

# 210. netezzaknnnode J&1VE.

netezzaknnnode JEf% =] R
weights B iyl RO T XA A8 e R L g e, i
set :netezzaknnnode.weights = [[drugA 0.3] [drugB 0.6]]
distance_measure Euclidean T2 P o0 AR A5 2 T 1) 8 A A7 S ) ik,
Manhattan
Canberra
Maximum
num_nearest_neighbors BH FrE N RIRITALRTTREG AR 3,
standardize_measurements trk WA true, IEATEVHE BB 1, X %Sk A7 B
i (A TARE L.
use_coresets trik MRy true, 2% KB ECHE S RO AR RAE DUR Bt 5
R,

Netezza 43230882k

A% netezzadivclusternode (175 &4 AT @ M40 F 7
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Z£211. netezzadivclusternode JB1E.

netezzadivclusternode /B4 =] B
distance_measure Euclidean X T X R A R A B AT e Y
Manhattan
Canberra
Maximum
max_iterations B TERTRIIGRf5? LT HAT I B K SRE AR B, BB 5.
max_tree_depth B A DU B SRR 0 R RGO, BRAE TR 3.
rand_seed B BEPLM -, TR HI A BE R 12345,
min_instances_split B A RAIR I R/ MO SR AL, BREE R S,
Tevel B BORIC RV BB IRE WP, A EA -1,

Netezza PCA

KA netezzapcanode [ ST FJEMEUNR T R

2 212. netezzapcanode J&TE.

netezzapcanode [Eff & EE#R

center_data trk ARy wee (BAEME) , IASEPITEIRSES (B RFY
EHE ), RIG AT,

perform data_scaling tis WK true, AEALESHIRTHATEAR I, RTINS
N [ A% DA AR [ B A 00 i 99 0 A A R

force_eigensolve PRk WA true, B2 ME FAAS HE G {H BSR4 Jy ok A 4k K
1.

pc_number B BRI SRS T O R B B E R 1L

Netezza [0] 544

HAIN netezzaregtreenode [T &0 A] FJEMEANT B 7w

£ 213. netezzaregtreenode )&t

netezzaregtreenode &k =] EHER
max_tree_depth =R PR Y 1R AT DL B ) e R 2 4K
AR 10,
split_evaluation measure Variance T g, T VRAR 2 I Y s A A
B, BREE CHHTME— L) 2 Vari-
ance,
min_improvement_splits HF TERS b EAT BT 20 BT EORE 2 B/ 21 FY
ISUN 6T
min_instances_split 330 A RAR I 14 e/ ML SREL
pruning_measure mse B AR BT 7
r2
pearson
spearman
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% 213. netezzaregtreenode JHPE (£5).

netezzaregtreenode B & iR
prune_tree options allTrainingData AWM, H allTrainingData 3
partitionTrainingData Al vF A5 HOKS B . A
useOtherTable partitionTrainingData 345 & Zff il
ZRAETE 20, 80 useOtherTable 3k
it P 46 7 B R R A N 2R A a4
perc_training_data 7 R prune_tree_options FEN
PercTrainingData, AP435 & T %
FAECHE T o 1 L.
prune_seed L1974 fE prune_tree options KH N
PercTrainingData i, FTE&E ik
REEEYLRN T, SREEY 1,
pruning_table T H X J2 T Al AR RS 6 M 1) Ak ST A BT 8K
PRy R TR,
compute_probabilities i RNy true, 4852 R 1% A5 TE S
W E R T 2.

Netezza ZVE[R]H

Al netezzalineregressionnode (1) &5 4 Al i@ M40~ ff 7

% 214. netezzalineregressionnode J& k.

netezzalineregressionnode JZ14 =] B A

use_svd trdk WAy true, A HF SRR R AR, D
A6 vy R A

include_intercept tris WIRK rue (BEME) , ISR S MEOTEARAERIE,

calculate model diagnostics trk WA tue, IB2XHEIFEIZWIE R,

Netezza I [A] 541

AN netezzatimeseriesnode F{T & A4 AT @ M40 R BT /e

% 215. netezzatimeseriesnode J&E.

netezzatimeseriesnode Bt & JEHE2i:3ns

time_points FE 3X S F I [A] 810 1) A0 sl st I A 17
ANTFH,

time_series_ids FH Bk A 7 Bt S ) SRR, TERA
55 2N [R] 7 51,

model_table FE XJE T AP0 Netezza B[R] S #5171
B R B AR,

description_table FE X 0 5 I [ 7 71 4% R M ok 11 i A 3%
SR

seasonal_adjustment_table FE KRR AR, ER TR

FRBCE I B M AR AR
42 R HE (.

%15 B BREREC R 251




% 215. netezzatimeseriesnode JBPE (4E).

netezzatimeseriesnode it

=}

Bl

algorithm name

SpectralAnalysis & spectral
ExponentialSmoothing =f esmoothing
ARIMA

SeasonalTrendDecomposition & std

RS2 FH T INE [H] e A AR A Rk

trend_name N SO 1 ST
A N- T
DA A - i
M DA - ZEJ
DM M- ek
DM - R IE
seasonality type N FRBCT- T iy 2 2R
A N-J¢
M A - Ttk
M- ek
interpolation_method Tinear B A T,
cubicspline
exponentialspline
timerange_setting SD AT 8 B s ] el
Sp SD - B RS E (I [E] 5 51 B 1
SERETE )
SP - MiEid earliest _time il
latest_time $5%&
earliest_time 2 & IhE A EE R E (R
Jatest time date timerange_setting A SP) .
B time XN IZMAE time points fH.
timestamp Fan, W time_points FEEEH

1, AW 1% H .

ANV

set NZ_DT1.timerange_setting = 'SP’
set NZ_DTl.earliest_time = '1921-
01-01"

set NZ_DTl.Tatest_time = '2121-01-
01!
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% 215. netezzatimeseriesnode JEPE (4E).

netezzatimeseriesnode it

S :pus

arima_setting

SD
SP

MFT&AE ARIMA Hik (X34
algorithm name ¥ E & ARIMA A ff
M)

SD - HIRGHIE

SP - HAHEE

s arima_setting = SP, iff# i F%1
ZHRORVEFTIEEMAEE W PEE. R
Bl (AR ) -

set NZ_DT1l.algorithm_name = 'arima’
set NZ_DTl.arima_setting = 'SP’
set NZ_DT1.p_symbol = 'lesseq'

set NZ_DTl.p = '4'

set NZ_DT1.d_symbol = 'lesseq'

set NZ_DTl.d = '2'

set NZ_DT1l.q_symbol = 'lesseq'

set NZ_DTl.q = '4'

p_symbol

d_symbol

q_symbol

sp_symbol

sd_symbol

sq_symbol

less

€q
lesseq

ARIMA - 2% p, d, q. sp. sd fll sq
His AT

less - /hF

eq - T

lesseq - /NT LT

p

ARIMA - FEFIEE R E,

q

bics34

ARIMA - JEFT5 R4 (H,

d

ARIMA - #EIF [ FER T MR 8 P 34(E

sp

Fics4

ARIMA - Z= it E s eIk,

5q

bizs /4

ARIMA - ZE{iPEIRAE (.

sd

b3

ARIMA - BRI 2 5 PR S
1

advanced_setting

SD
SP

5 ey Ak B v i

SD - ARG E

SP - i H/iliT period, units_period
FI forecast_setting F57&.

i

set NZ_DTl.advanced_setting = 'SP’
set NZ_DTl.period = 5

set NZ_DTl.units_period = 'd'

period

ZH AWK E, 5 units_period —
AR E. AT
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% 215. netezzatimeseriesnode JBPE (4E).

netezzatimeseriesnode [EfE 1l R
units_period ms period [/ HAL:

s ms - ZFfp

min s - b

h min - 44

d h - /N

wk d-H

q wk - F

y q- FE

y - 4

Fan, xR EF A, X period
ffif 1, FEXF units_period ffi i wk,

forecast_setting

forecasthorizon

O AN AT T,

forecasttimes
forecast_horizon = mAE  forecast_setting =
date forecasthorizon, iF+5 & Wil AY 45 T
time RH.
timestamp ¥V 1% A6 time points {H,
i, fR time_points FEMHEH
1, IBaxthy 1% A H 4,
forecast_times [19754 o 1 forecast_setting =
date forecasttimes, 548 T % HFIF4TH
time ITiURER
timestamp kN 1% 846 time points {H,
Bihn, nE time_points FEt & H
W, WAkt py 1% 4 H 3,
include_history tris TR AT Iy S A A S S v,
include_interpolated_values tri R R S E A e b, 2R

include_history 24 false, WARIE
.

Netezza |~ X £k

HHIg netezzaglmnode [ 45 LRI LB LU B 7R:

% 216. netezzaglmnode J&PE.

negativebinomial
wald
gamma

netezzaglmnode E4 =] EE#A

dist_family bernoulli ISR, B (E N bernoulli,
gaussian
poisson

dist_params

27

BT M SHME,. (4 distribu-
tion & Negativebinomial B A& H.
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% 216. netezzaglmnode JEVE ().

netezzaglmnode B L] BiEHE
trials = ¥4 distribution 24 Binomial HfA4
B 2 H AR R A & A TE — Al T
HId RO, target Bl S ATAL
trials FEAE KL
model_table FE XJE M T AP Netezza |7 MBI
B R B AR,
maxit ki34 AR AT 1 B KA SRR
20.
eps e fERKIREM (DB EI0 k%
R, RBIMETE, BRIV AR
R E B, BRAEE R -3, EXRR
1E-3, Bl 0.001,
tol e WEEE (HAReRRE) , RTIE
BT A IRZEYW R 0 fH, REEN
-7, RARREMBELAMKT 1E-7 (&
0.0000001) , HEABAR RARE,
Tink_func identity B AR R SR Togit,
inverse
invnegative
invsquare
sqrt
power
oddspower
log
clog
loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom
cannegbinom
Tink_params 7 BB KRB S BME., Y

Tink_function 4 power I oddspower

I A3 .

interaction

[[[colnamesl],[levelsl]],
[[colnames2],[levels2]],
....[[colnamesN],[levelsN]],]

IREFBZBMEZE, colnames JEfii A
FEIMBE, WX TFEANTFE, level If
Zh 0,

7l

[[[IIKII , IIBPII ’Ilsexll ’IIKII] , [0’0’0’0]] ,
[["Age","Na"],[0,60]]]

intercept

RN true, JRALERIEL AL AE AR,
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Netezza #EEIHLE 4
Netezza FUHE AR B 19 A S J8 P 1 R Fr R,

#217. 2Ht Netezza MAIHE I

A Netezza 1RAMEM =] EEZ 3%
connection string KT AEAEBRIY Netezza B I EHTFAF .
table_name string X2 T A IR [ B5H 122 4 1 44 7.

AR B S -5 A R AT R B R AR A,

R ER ( BAS ZFR A0 R PR,
7 218. Netezza WL PIA 2 F5

REIR IR ZFR

LA applynetezzadectreenode
K-Means applynetezzakmeansnode

DL H ) 2% applynetezzabayesnode

FNER DL applynetezzanaivebayesnode
KNN applynetezzaknnnode
FHARE applynetezzadivclusternode
PCA applynetezzapcanode

EYEEE) applynetezzaregtreenode
etk 14 applynetezzalineregressionnode
B a] 731 applynetezzatimeseriesnode
IR applynetezzaglmnode
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% 16 E T BN

K 5 A R A S Y R R PRI A AN TR Y U R AR R S A R IO, TR AT R i o
FEYTIH, AL R AP U A HABE B O I 2 B AR A .

A0 U i Y P B G o 1

analysisnode &%

- O RLPE A IR A A R B TR A RE 7. O M R AT — A S AR B Y N B A 52
q PREZ T A 25 Rl e, <o 45 sq i af AR A% APt i,

il

node = stream.create("analysis", "My node")

# "Analysis" tabnode.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve_accuracy", 3)
node.setPropertyValue("inc_user _measure", True)

# "Define User Measure..."node.setPropertyValue("user if", "@TARGET = @PREDICTED")
node.setPropertyValue("user then", "101")
node.setPropertyValue("user_else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by fields", ["Drug"])

# "Output" tabnode.setPropertyValue("output format", "HTML")
node.setPropertyValue("full filename", "C:/output/analysis out.html")

% 219. analysisnode J& 1.

analysisnode [Eif HRzER EHER
output_mode Screen P48 5 i 9 e A e e H
File PRALE,
use_output_name tr e A E e o 44,
output_name FR 4% use_output_name % true, Hf4
i 5 i Y 2475
output_format Text (.txt) JHT 46 7 Bt 28500

HTML (.html)
Output (.cou)

by fields LIS

full_filename T WA EMERE, BURE HTML fais,
TR 2 B S P A i s S AR R A4 .

coincidence ik

performance s

evaluation_binary s

confidence i
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£ 219. analysisnode JETE (£E).

analysisnode B HiRER ElEA
threshold HF

improve_accuracy #7

inc_user measure Vi

user_if F. Sy

user_then Fk

user_else F. Sy

user_compute [Mean Sum Min Max SDev]

dataauditnode 4%

— BRI R A BRI 2, S TERIGLESET. B RS A K E
W, BREAMRER R, SORERFES TR b, R AT DIHER IF BAT LA A e
HERV/IN Y P AN 451 A

il

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("dataaudit", "My node", 196, 100)
stream.link(filenode, node)
node.setPropertyValue("custom _fields", True)
node.setPropertyValue("fields", ["Age", "Na", "K"])
node.setPropertyValue("display_graphs", True)
node.setPropertyValue("basic_stats", True)
node.setPropertyValue("advanced_stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier _detection method", "std")
node.setPropertyValue("outlier detection std outlier", 1.0)
node.setPropertyValue("outlier_detection_std_extreme", 3.0)
node.setPropertyValue("output_mode", "Screen")

% 220. dataauditnode & TE.

dataauditnode B4 HiExR e 2737

custom_fields s

fields [field] ... fieldN]

overlay FE

display graphs trk FTTHT sl 56 P i 66 1 B 1 2

VA

basic_stats trak

advanced_stats trak

median_stats trak

calculate Count AT IE, EFEPIRIT Rk
Breakdown R —Rb. PIRR, BN,

outlier detection method std JHTH8 28 SRR RO (8 P A 12k
qr
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% 220. dataauditnode JETE (£E).

dataauditnode ET% £S5 6l JEL i pay

outlier detection std outlier BT WIH outlier_detection method J2
std, ABA$EE T 5E SR REME I L
{H.

outlier_detection_std_extreme HF fI outlier_detection_method J&
std, R4t E M T E MR AE I L
fH.

outlier detection_iqr outlier HF 4 outlier_detection_method J&
iqr, ABA4EE H T & LR REE M &
fH.

outlier_detection_iqr_extreme HF N outlier_detection_method &
iqr, HBafEE T SO (E R
{H.

use_output_name PRz i 58 S A I i 4.

output_name FAT ik use_output_name A true, A4
i 58 il FH R 24 9%,

output_mode Screen FHF 46 7 it b AR RS s A

File PRAE.

output_format

Formatted (.zab)
Delimited (.csv)
HTML (.html)
Qutput (.cou)

JHF 6 i 2R,

paginate_output

&

24 output_format J& HTML I, {fi%i
iR i

Tines_per_page 7 45 paginate_output —iE{if I, fi7
SE B BT AT L
full_filename TR

matrixnode F¥

il

HEEETTRAE AR, AT ERTBZEM R, AR AT BRI S T B RG
A, EAA] AT Bortr S 7 B ey T B Z M LA,

node = stream.create("matrix", "My node")

# "Settings" tabnode.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")

node.setPropertyValue("column", "Na")

node.setPropertyValue("cell contents", "Function")
node.setPropertyValue("function_field", "Age")
node.setPropertyValue("function", "Sum")

# "Appearance" tabnode.setPropertyValue("sort mode", "Ascending")
node.setPropertyValue("highlight top", 1)
node.setPropertyValue("highlight bottom", 5)
node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])
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node.setPropertyValue("include_totals", True)

# "Output" tabnode.setPropertyValue("full_filename", "C:/output/matrix_output.html")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate output", True)

node.setPropertyValue("1lines_per_page", 50)

# 221. matrixnode JBVE.

%% (Residuals)
RowPct

matrixnode E iR iR
fields Selected
Flags
Numerics
row FE
column FE
include_missing values trik TR EAEAT NS it o R A Gk
KE (ZFH) FIRGEHKME (5
H).
cell_contents CrossTabs
Function
function field T
function Sum
Mean
Min
Max
SDev
sort_mode Unsorted
Ascending
Descending
highlight_top T WRAEE, IBAH tue,
highlight_bottom B MMREE, LN true,
display [Counts
HREE{E (E)

CoTumnPct
TotalPct]
include_totals trk
use_output_name tri R 2 A5 1 A o 44
output_name FIFH A use_output_name A true, HXA
TR 275,
output_mode Screen JHT 48 5 i 3 s A B e 0 E
File UANVA -

output_format

Formatted (.rab)
Delimited (.csv)
HTML (.html)
Output (.cou)

AT e L2 %. Formatted Al
Delimited A% x#P nl 6 FA& 41 4F
transposed, MAF5 A B L AT
Fizl,

paginate_output

trik

24 output_format J& HTML B, Afi%s
4,
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% 221. matrixnode JEPE (£E).

matrixnode B4 £S5l B

lines_per_page HF 5 paginate_output —E& N, &
JE B TR AT

full_filename TR

meansnode E¥

“HET AR SL A 2 A AR O T B e Z (R T S e, DR R E AR E L.

m o, 4

AIEAT R,

il

node = stream.create("means", "My node")

node.setPropertyValue("means_mode", "BetweenFields")

node.setPropertyValue("pai rea_ﬁ elds", [["OPEN_BAL", "CURR BAL"]])

node.setPropertyValue("label correlations", True)
node.setPropertyValue("output view", "Advanced")

node.setPropertyValue("output_mode", "File")

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/means_output.html")

% 222. meansnode JETE.

ATRLHCRTTRE AL TiJa BTSN, S H R F AR 7 B S 2 (L 5% 7 Bl

meansnode [t HiERE B
means_mode BetweenGroups 6 08 EAEHE L AT E ST RS
BetweenFields .

test_fields

[fieldl ... fieldn]

HBEH means _mode WHEN
BetweenGroupsIs )46 56 - Bt .

grouping_field

FE

fRE AT BL

paired_fields

[[fieldl field2]
[field3 field4]
..]

1&EY means_mode WHNH
BetweenFieldsH B F11 7B,

Tabel_correlations tris i TE i PR A BN ARSCAR S, (X
Y means_mode KE N
BetweenFields WA R UL E,

correlation_mode Probability 6 7 T 300 2 4 R AR T A 2.

Absolute

weak_label T

medium_Tlabel TR

strong_label T

weak_below_probability T 4 correlation_mode &N Prob-
ability I, F8&85H0CHY 2 FH.
KA 0 B 1 Z[E—AE,
1 0.90,

strong_above_probability ¥ SRAH IC 23 B,
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% 222. meansnode JEVE (££).

meansnode JE4% HiERR JEH 237

weak |

below_absolute T 24 correlation_mode % & & Absolue
I, $57E F9AHCHY 0 S, XA
0 B 1 ZJERy—E, #lan 0.90,

strong_above_absolute #7 SRE A 23 B,

unimportant_Tlabel FAFH

marginal_label TR

important_Tlabel FAEH

unimportant_below 7 IRFBEEEM I FE, XBHE 0

Bl 1 ZEE—AME, Fin 0.90,

important_above T

use_output_name tr R S A JH E i A o 44

output_name FEe i I 249K,

output_mode Screen F6 58 DK H T e 2R R i Y E
File P,

output_format Formatted (.tab) 8 5 i A,

Delimited (.csv)
HTML (.html)
Qutput (.cou)

full_filename T
output_view Simple fi 5 T i 4 v S 7 ] B PR 2
Advanced M.

reportnode E%

il

node
node

SCABAR AR AR, DUE SO A SCA ROl i A, i AEBEAR P 1T HTML FRic Pl e
FE“fi e TR By E T, T AR E i SCA S ALl AR Y CLEM KA, W LI
AT (AT H A 5% i

R AT R AR, P R I SR, Bl AR B e Y e aA s T DA

= stream.create("report", "My node")

.setPropertyValue("output_format", "HTML")
node.
node.
node.
node.

setPropertyValue("full_filename", "C:/report output.html")
setPropertyValue("lines_per page", 50)
setPropertyValue("title", "Report node created by a script")
setPropertyValue("highlights", False)

% 223. reportnode JETE.

reportnode Bk HRZER R

output_mode Screen P48 5 i 1 o A e i e ) H
File A

output_format HTML (.Atmi) JATH8 & SO R 1 28 3,
Text (.txt)
Output (.cou)
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£ 223. reportnode JEME (£E).

reportnode B iR BiEER
format Auto T e E Bl 2 Ak i s 2 8
Custom B h &Ry HTML  #E474% 04k,

TR A HTML #K, 3545
7E Custom,

use_output_name trds e A E w44,

output_name FArE fnsf use output_name A true , FP
LA I Y 2R,

text Frf

full_filename FAFH

highlights trik

title e

Tines_per page HF

routputnode B4

% 224. routputnode JFHPE

WA CRER] R A, nTRUEE AR iy ok
BB P A3 B Rm AN EE 2R, oA g R DU SO, Rl A
SEIETE. i R T B 5 A P R TR A,
AT LA i R 1 2 ST

routputnode B4 HEZER Bt A
syntax FAFH
convert_flags StringsAndDoubles

LogicalValues
convert_datetime tris
convert_datetime_class POSIXct

POSIX1t
convert_missing trk
output_name Auto

Custom
custom_name FIEER
output_to Screen

File
output_type Graph

Text
full_filename TR
graph_file_type HTML

cou
text_file_type HTML

TEXT

cou
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setglobalsnode [Ef4

il
node

node.

node

A% N A FBOT FEGE T 4 A PR AL @GLOBAL_MEAN(age) #£ CLEM ik o Hp i FH 4 b1

“BCE A JRE T A BRI A7E CLEM ks 6l FRYCEVE.  flan, w] DUHZ Y i —
A,

= stream.create("setglobals", "My node")
setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])

.setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
node.
node.
node.

setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])
setPropertyValue("clear _first", False)
setPropertyValue("show preview", True)

% 225. setglobalsnode & 1.

setglobalsnode [Eff iR R

globals [Sum Mean Min Max SDev] | Z5itaJ@t, FEH T, W2l HI T AY

EETI R B FB:
node.setKeyedPropertyValue(
Ilg'loba'lsll’ IIAgeII’ [IIMaXII’ “SUITI",
"Mean“ , "SDeV"] )

clear first i

show_preview ik

simevalnode Ef%

[ = ] CRLDPE A 1Y O 2 B B0 E AR5 BUAE AT VRS, R om0 BAR 7 By a0 Ai AIAE S PR .

£ 226. simevalnode JETE.

simevalnode [Eif g JEL e pay
target FE
iteration FE
presorted by iteration iR ME
max_iterations 7
tornado_fields [fieldl...fieldN]
plot_pdf IR E
plot_cdf M5 (H
show_ref_mean M5 (H
show_ref median /R ME
show_ref_sigma M5 (H
num_ref_sigma 7

show_ref pct iR ME
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% 226. simevalnode JEVE (£E).

simevalnode /M HiExRR e 2 p
ref_pct_bottom HF

ref pct_top HF

show_ref_custom 2R ME

ref_custom_values

[numberl...numberN]

category_values Category
Probabilities
Both
category_groups Categories
Iterations
create pct_table i IR 1H
pct_table Quartiles
Intervals
Custom
pct_intervals_num 7

pct_custom_values

[numberl...numberN]

simfithode Etf&

2 227. simfitnode &t

CEMUE T R B ST RPN BIR G A, AR (R ) BN R A, RN
BEMG A BT B G, ATRUGE B 3 R AR U PR

simfitnode /B iRk ek 3 7:3e
build Node
XMLExport
Both
use_source_node_name iR 1E
source_node_name T TEAE A= 1B T 1 R T Y E T 4
P&,
use_cases AT1
LimitFirstN
use_case_limit BH

fit_criterion

AndersonDarling
KoTmogorovSmirnov

num_bins k534
parameter_xml_filename FFH
generate_parameter import i 2K 1H

%16 % Hihi U 265



statisticsnode B

Eﬂ G AR AT T B EACEG R, BRSNS T BILE G LR B R A A 5
o .
n

Zn|

node = stream.create("statistics", "My node")

# "Settings" tabnode.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["mean", "sum", "sdev"])
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels..." section

node.setPropertyValue("label correlations", True)
node.setPropertyValue("weak_below absolute", 0.25)
node.setPropertyValue("weak Tabel", "lower quartile")
node.setPropertyValue("strong above absolute", 0.75)
node.setPropertyValue("medium_label", "middle quartiles")
node.setPropertyValue("strong Tabel", "upper quartile")

# "Output" tabnode.setPropertyValue("full filename", "c:/output/statistics_output.html")
node.setPropertyValue("output_format", "HTML")

2% 228. statisticsnode JBVE.

statisticsnode [ iRk JEL e pay
use_output_name trid 8 S A5 i R B o 44,
output_name FAHER N use_output_name 4 true , Hf
28 I K.
output_mode Screen JHT 48 & i 5 b A s et i H
File IR VAER
output_format Text (.tx1) JHT 46 2 it 280,

HTML (.html)
Output (.cou)

full_filename T

examine PIES

correlate B7ES

statistics [count mean sum min max

range variance sdev
semean median mode]

correlation_mode Probability 8 72 T 200 2 4 R AR A 2.
Absolute

label correlations s

weak_label TR

medium_label T

strong_label A

weak_below _probability HF 24 correlation_mode & A Prob-

ability I, #7554 KA 7 S,
XAE 0 B 1 Z[ER—AME,
n 0.90,

strong_above probability HF SEAH IC 1 7 FLH.
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% 228. statisticsnode JEPE (£E).

statisticsnode /B iRk JEL i pay

24 correlation mode % % Absolue
IF, 4878 F9AHOCHY 20 P, XA
0 F 1 ZJERy—MME, #lan 0.90,

biE SR A S Y o FHE.

weak_below_absolute M

strong_above_absolute

statisticsoutputnode [E4%

“Statistics ¥ I S AT IBM SPSS Statistics 142, PI4r#r IBM SPSS Modeler %idE. w]
) | DAV £ R R IBM SPSS Statistics 4B, MLH5 7% IBM SPSS Statistics 1VF 1] il 4,
===

B SRS R, 52 FE 282 T 1 statisticsoutputnode J@7E 1 |

tablenode Ei%

— B AR R AR, KRR LS A BISCPE, 4 B 6 0 R P T
HEeE BT E O M 2 St S R, T 1R,

il

node = stream.create("table", "My node")
node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose_data", True)
node.setPropertyValue("full_filename", "C:/output/table output.htm")
node.setPropertyValue("paginate output", True)
node.setPropertyValue("1lines_per page", 50)

2% 229. tablenode JEME.

tablenode it 36l iR

full_filename T IR R A, BdRE HTML fi, A8t
JEPEFE i SR AT,

use_output_name trak i 58 R 1 5 T i s 4.

output_name FA HH use output_name Jy true , ABATEE
filE FHY 2478,

output_mode Screen JHT 46 2 i 95 s rb A B0 i 0 1) B A 7

File B

output_format

Formatted (.zab)
Delimited (.csv)
HTML (.html)
Qutput (.cou)

P48 i 2R,

transpose_data

A

AR BB, TR R, SRR
ik,
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% 229. tablenode JETE (%£E).

tablenode it b6l Bt A

paginate output s 4 output_format J& HTML B, fdifaHH o
L,

Tines_per_page 5 Y paginate_output —ifli T, 5w &4
i s TP AT AR

highlight_expr FAEH

output TR Hgfg ek, vl RE—

e 0EIVER

value_Tabels

[[Value LabelString]

[Value LabelString] ...

AT R ER R ENRAE,

display_places

biis4

N7 BOBE Wos BN B COUR T
REAL 5B . fHA -1 K 6E A
B H.

export_places

e BOBEE T N R COUR
REAL 7P 5B . (R -1 IR AR
R,

decimal_separator

DEFAULT
PERIOD
COMMA

AP B E A (GUTT L REAL
R FED) .

date_format

"DDMMYY "
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD. YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

7 Brs E H A S0 (GUATFLL DATE =X
TIMESTAMP 7 H5HI 7B ) .
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% 229. tablenode JETE (%£E).

tablenode B4

Hiimzea

Bt

time_format

"HHMMSS™"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)m"
"(M)M. (S)S"

Ay B BTG L (BUATLL TIME 5%
TIMESTAMP 7EAH1 5B ) .

column_width

fi3 4

HFEBCESNTE, EN -1 FmHd 9%

BEE N Auto,

justify

AUTO
CENTER
LEFT
RIGHT

N Bk BN AL

transformnode &%
VAN

il

node = stream.create("transform", "My node")
node.setPropertyValue("fields", ["AGE", "INCOME"])
node.setPropertyValue("formula", "Select")
node.setPropertyValue("formula_log n", True)
node.setPropertyValue("formula_log _n offset", 1)

7€ 230. transformnode J&1E.

RO ARV ORI DL AT AU S0 47 R, ARG R X SR T R 1 7 BL

transformnode JEit iRk JEL i pu

fields [ fieldl... fieldn] R AR I B

formula A1l 27w W v SR A 0 2 1 I e

Select e,

formula_inverse trak FTR A AP A,

formula_inverse offset HF Fon o AP B R B WA at. BR
FER P HEE, SRR TR E N
0.

formula_log_n trak FORRE A log |, Heffr,
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£ 230. transformnode JHPE (££).

transformnode Eif% HiRER JEL e puy

formula_log n_offset HF

formula_log_10 trds FORIETIVAL A log o el

formula_log 10 offset e

formula_exponential trik FORZA A AEEL (e ¥ ) Feff,

formula_square_root trak PR IE T N T 7 AR fe,

use_output_name trak 60 S 08 T P i 44

output_name FAFH R use_output_name Jy true , A4

Fi o 1 A 24 7.

output_mode Screen JHT 48 7 it Y b AR R e A E

File PRALE.

output_format

HTML (.html)
Output (.cou)

FAT48 7 i 260

paginate_output

trE

24 output_format J& HTML I, {fi%Q
HA T,

Tines_per page e 5 paginate_output —Effi N, #f
8B i TP AT AR
full_filename FAFE FERBLAE A s v T P SO 44,

270 1BM SPSS Modeler 18.0 Python A4l Hl [ shik45 7




£ 17 & SHTREH

RrHESHT REN
AT S PR T A 4817 4
# 231 2HFH T RS

B & e :3es

publish_path string o N BT R R A ER O S B
rootname 4 ¥R,

publish _metadata trak 4 € J& 1 A BT B SO (T R B AR R
i AR DA R AT TR B AR )

publish_use_parameters trs BERATE *par APPSR SHL

publish_parameters string list e TR S EL

execute mode export_data 18 € B PAT W M A KA, & SRAE AT

b Zii) SN E B R A

asexport EH

ML Analytic Server iy, FRIEMI A SUAF RS (HDFS) LiafTii.

BNl

node = stream.create("asexport", "My node")
node.setPropertyValue("data_source", "Drugln")
node.setPropertyValue("export_mode", "overwrite")

7% 232. asexport JRE.

asexport JEfE HiiRxka k3l

data_source T H Al IR A4 7%

export_mode string T 7 2 4 5 A0 BN B A 2 I A RO
W, EEBEIA BRI,

cognosexportnode [El%

(@)

XTI &, A E X Cognos iEf:F1 ODBC %4,

IBM Cognos BI 175l Cognos BI %ifla /# FIr i i 1 it 1y 4t X & Hh e
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Cognos &%
Cognos EHEIEHEUT.

£ 233. cognosexportnode &1k

cognosexportnode ET4

Hiimzea

Bt

cognos_connection

"o "o non "o

["string","flag","string"," string",

string" ]

XA E Cognos Mk 55 #4015 B A5

FJEME. #k: ["Cognos_server URL",

login_mode, "namespace", "username",

"password"]

o

Cognos_server URL JEfL{ AT Cognos flt

%4xH) URL,

Togin_mode fH/m2& i fHRE 8 %, HIHN

true E{ false; WHZRE N true, AN

CaVIESTS S

namespace 48§ T8 M 5545 19 & 4 IAIE

AT

username Al password Jy T %% Cognos

Mz 55 % 19 1 P g s 1,

fEN#A Togin_mode FIEIM, iAn] DIAf

LT

* anonymousMode, fifn:
['Cognos_server_url', 'anonymousMode',
"namespace", "username", "password"]

« credentialMode, f10:
['Cognos_server_url',
'credentialMode', "namespace",
"username", "password"]

e storedCredentialMode, f{n:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

HH stored_credential name JEA7 %)%
H Cognos FEIEH ZFK.

cognos_package_name string B AR 3 Y Cognos B £ 1 % 42
MFE, pihn:
/Public Folders/MyPackage
cognos_datasource string
cognos_export_mode bzl
ExportFile
cognos_filename string

ODBC &z

ODBC # W@ MHEAIA T — 1) databaseexportnode it 1AH[F, #l4Me datasource J&METLAL.
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databaseexportnode [E%

=2 “HCRPE S U MRS AR ODBC FRIENCFRACEE. HEA ODBC HURH, 1HURHL
= TEE, AR AU B VAL

Nl

Assumes a datasource named "MyDatasource" has been configured'''

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tabdb_exportnode.setPropertyValue("username", "user"
db_exportnode.setPropertyValue("datasource", "MyDatasource")
db_exportnode.setPropertyValue("password", "password")
db_exportnode.setPropertyValue("table name", "predictions")
db_exportnode.setPropertyValue("write mode", "Create")
db_exportnode.setPropertyValue("generate_import", True)
db_exportnode.setPropertyValue("drop_existing_table", True)
db_exportnode.setPropertyValue("delete existing rows", True)
db_exportnode.setPropertyValue("default string size", 32)

# Schema dialogdb_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue("export_db_primarykey", "id", True)
db_exportnode.setPropertyValue("use custom _create table command", True)
db_exportnode.setPropertyValue("custom create table command", "My SQL Code")

# Indexes dialogdb_exportnode.setPropertyValue("use_custom_create_index_command", True)
db_exportnode.setPropertyValue("custom_create_index_command", "CREATE BITMAP INDEX <index-name>
ON <table-name> <(index-columns)>")

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields", ["id", "region"]])

£ 234. databaseexportnode )& k.

databaseexportnode B Himzea B A

datasource FAFH

username FFH

password FAFE

epassword FAFH TEPATIN, BoR oy His, B

SRR I, 3 R TR 5 e
HMTH, GXELEA, 55 0E
(65 TR v ZE U e 0

table_name FLFH

write_mode Create
Append
Merge
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% 234. databaseexportnode JETVE (£E).

databaseexportnode JE% HiEAR BEHA
map T JHT B3 7 B4 B e St B 5 74251 44
(fXAE write_mode & Merge [FJI1EHL T
FHR .
XTEIF, BRSSO g
T, B R AR R T B A RO R
.
key fields F# o€ EREA R 7 B map JEMEFE R T
S BT RS 2 v A X R T,
join HIRE
Add
drop_existing_table s
delete_existing rows ik
default_string_size A
type AT B R R S5 1 SR
generate_import Vi
use_custom_create_table_command ik i custom_create_table @18 16 bR fE
CREATE TABLE SQL 4.
custom create table command T 6 AT E AU AR IfE CREATE TABLE
SQL i & A,
use_batch Prk A Ja P S T R A R AR R 2R
PRI, Use batch Jy true IS0 )%
P PE B ATHR S HI DI RE.
batch_size HF O TE 4R 2 2 N A7 T A B RO 3
bulk_Toading off feE M TR AR, TFHAId T 0DBC
0DBC Il External AYH AR,
External
not_Togged s
odbe_binding Row $iilid ODBC ke AN JHE 1749
Column FE BB E.
Toader_delimit_mode Tab XTI AN PRI R A, 1R EE
Space RAFRIEA, BEFE Other [
Other loader_other_delimiter
JEtELUTR e E R, BIES ().
Toader_other delimiter TR
specify_data_file ik FREHN True IS AIE THEIFY data_file
JEtE, FEIXJEE AT LIS E AR
B PRI B R SR 2 R AR,
data_file FAFH
specify_loader_program ik Prai ol True B ] 303G F )
Toader_program Ja&tk, 7Ei%/@tEH ] L
i 58 SR AR PP A BURE e 4 42 FRF
(A=
Toader_program FrF
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% 234. databaseexportnode JETE (£E).

databaseexportnode JE4 HiEAR B A

gen logfile ik bk True HBFR[IE T WM
Togfile_name, 7E1%Jm M Al DI4E E Mt
% i LSO 2R DUAR R R H AL

logfile_name FAFE

check_table_size trdk bR&EN True W SLVFHEAT AR A DIGH IR
Bl e R /NS 5 L IBM SPSS
Modeler i FATHARTT.

Toader_options FAHR fREEARF WA, Ha -com-
ment A1 -specialdir,

export_db_primarykey Frds TEEHETBIEE N T i,

use_custom create_index_command R WRAREN true, A AITERSEH
FEH] SQL.,

custom_create_index_command FITH e IS HER SQL /ATl ESIM

SQL fir%.  (QUEFRFERGIN, ZER
Yor, WTFPR. )

indexes.INDEXNAME. fields

DB QPRI E RG], I EAE
TEVR SR 7B,

INDEXNAME "use_custom_create_ i
ndex_command"

FAFJE SR IR E R 510 E ) SQL.
WEH T RZE R

INDEXNAME "custom create index_ com- | string 8 T8 RGIRYEH SQL. HZE

mand" TERZ G R,

indexes . INDEXNAME. remove & IR True, IR2HK MRTIEHER L4
ERRT

table_space FA i 7 ) e e = [

use_partition PR Fi e H 8 1 401 /I8 - B

partition_field F 1858 T T B N A,

iE MRS A, AT DR s DU I AT B4 64 07 sOR BB E R (4N, SQL Y SFERIE A CRE-
ATE TABLE MYTABLE (...) COMPRESS YES;) . AT HritDhfE, {4t T/E M use_compression Fi

compression_mode, 1~ 7R,

7235 TIEGEHIRERY databaseexportnode J&E.

databaseexportnode /B4 HiELER Bl
use_compression M5 MH WARBEE N True, 2K DLT N HEAT 4RI 7

Ak,
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£ 235 [ TEZETIRER databaseexportnode JH1E (4E).

databaseexportnode B HigEzER BEA
compression_mode Row P HE SQL Server HdE A E454 .
Page
Default W E Oracle H¥a PR R4S R, THERE, {4 OLTP

Direct_Load_Operations
A11_Operations

Basic

OLTP

Query High

. Query High, Query LowArchive High F
Archive_Low Z/DFE Oracle 11gR2,

Query_Low
Archive_High

Archive_Low

R RUMATE X E X 51 2 CREATE INDEX fiir 4 9 7 -

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["use custom create_index_command",
True])db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["custom create_ index_command",
"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

o, o] DO R SE Ut A

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id", "region"],
"use_custom_create_index_command":True, "custom_create_index_command":"CREATE INDEX <index-name> ON
<table-name> <(index-columns)>"])

datacollectionexportnode Ei%
i Data Collection 595 &5 L Data Collection T3 4% 4 FHIAS Uk i Bl . W70 %2%% Data Col-
lection HCH A T AL 5.

il

stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport", "Data Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata file", "c:\\museums.mdd")
datacollectionexportnode.setPropertyValue("merge metadata", "Overwrite")
datacollectionexportnode.setPropertyValue("casedata file", "c:\\museumdata.sav")
datacollectionexportnode.setPropertyValue("generate import", True)
datacollectionexportnode.setPropertyValue("enable_system variables", True)

£ 236. datacollectionexportnode &1t

datacollectionexportnode JEif HEER iR
metadata_file string S 1 o SO AR
merge_metadata Overwrite

MergeCurrent
enable_system_variables i WESHM mdd CHRE N A

Data Collection ZR4iAF i,

casedata_file string B LR 1) sav ST 255K,
generate_import i
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excelexportnode B4

— Excel FH 17 8Ll Microsoft Excel .xlsx U EdE, e mHAPITEM T SFHE )
EXCEL] Ja 8l Excel F4TH-5 H 091,

Zn|

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full filename", "C:/output/myexport.x1sx")
excelexportnode.setPropertyValue("excel file type", "Excel2007")
excelexportnode.setPropertyValue("inc_field_names", True)
excelexportnode.setPropertyValue("inc_labels_as cell notes", False)
excelexportnode.setPropertyValue("launch_application", True)
excelexportnode.setPropertyValue("generate_import", True)

£ 237. excelexportnode J&EE

excelexportnode [El HiEZR BEHA

full_filename string

excel_file_type Excel2007

export_mode Create

Append

inc_field names trik REFBR ARG DI ETE TIERM
BT,

start_cell string T8 T TG L ITHS.

worksheet_name string EACYNITRR P

Taunch_application trk ¥8 N A% O AR R SC 4
Excel. WERE, WATEH BV
FPrXEEAE (< T H7SEE > I
BF”) hisE MT Bsh Excel B
12,

generate_import trik 8 S A5 AR T TS U S L
AR “Excel AT AL

outputfilenode Et

- O T SRS T R MR e B SO SO, XN T AT L At A3 A R A AR
E E3GEE EiE e i

il

stream = modeler.script.stream()
outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full filename", "c:/output/flatfile output.txt")
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outputfile.setPropertyValue("write mode", "Append")
outputfile.setPropertyValue("inc_field_names", False)

outputfile.setPropertyValue("use newline after records", False)

outputfile.setPropertyValue("delimit_mode", "Tab")
outputfile.setPropertyValue("other _delimiter", ",")
outputfile.setPropertyValue("quote mode", "Double")
outputfile.setPropertyValue("other quote", "*")
outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate_import", True)

7% 238. outputfilenode &1k

outputfilenode Eff iR EiER
full_filename string i B SR B A4 TR
write_mode Overwrite
Append
inc_field_names i
use_newline_after records by
delimit_mode Comma
Tab
Space
Other
other _delimiter char
quote_mode None
Single
Double
Other
other_quote iz
generate_import i
encoding StreamDefault
SystemDefault
"UTF-8"

sasexportnode Ef&

“SAS Sl ALL SAS kg Uk B, DU IZEIEIEA SAS HiE S SAS AMAMa, It
[@ HZHME I SAS SCEAER: SAS for Windows/OS2, SAS for UNIX #1 SAS V7/V8,

ZyY|

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full_filename", "c:/output/SAS output.sas7bdat")
sasexportnode.setPropertyValue("format", "SAS8")
sasexportnode.setPropertyValue("export_names", "NamesAndLabels")
sasexportnode.setPropertyValue("generate import", True)
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£ 239. sasexportnode JFHIE

sasexportnode B iR iR
format Windows AR @ AR A B
UNIX
SAS7
SAS8
full_filename string
export_names NamesAndLabels HAF¥FE4 M IBM SPSS Modeler
NamesAsLabels (5 e FP LR 2] IBM SPSS Statistics
o SAS WAERAH,
generate_import s

statisticsexportnode E%

Statistics S H 7 &L IBM SPSS Statistics .sav B, .zsav #% =k H EdE. IBM SPSS Statistics Base
FOEA = ST RLEEC sav 8% .zsav S, X P&t T IBM SPSS Modeler H [ F 052 47 S0,

AT SRYERE S, S 283 B 1 statisticsexportnode JE 1 1 |

tmiexport T EEH

@ IBM Cognos TM1 95 £k Cognos TM1 ¥ 4 n] DU I ff % X 5 s Hicdla .

BCE B JE R R ]

exportNode.setPropertyValue("spss_field _to_tml _element_mapping",
[[["Dimension_1 1", "Dimension_1 1", False], ["Dimension_2 1", "Dimension_2 1", False],

["Dimension_3 1", "Dimension 3 1", False],

False]],[["Measure_1", "Measure_ 1", False],
["Measure 3", "Measure 3", False]ll)

7€ 240. tmlexport Ti 5@ PE.

["Periods", "Periods",
["Measure_2", "Measure_2", False],

tmlexport 5 AEM ES 63t B4R
pm_host string i UR V16.0 f117.0
T4, #itn: TM1_export.setPropertyValue
("pm_host", 'http://9.191.86.82:9510/pmhub/pm')
tml_connection ["field","field", ... ,"field"]|iE: YR V16.0 F1 17.0

B TMI 4RSI AE RN REE, %X
J: [ "TM1 Server Name", "tml_ username",
"tml password"]

flin: TM1 export.setPropertyValue
("tml_connection", ['Planning Sample', "admin"

||app'| ell])
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£ 240. tmlexport T JEE (£5).

tmlexport 5 2B HimeR ek L)
admin_host string i AUN V170 JFR
REST API fJ M4 URL,
server_name string E AN V170 JFA
M admin_host HEEFEM TMI Mk 55 &5 1Y 24 5%,
selected_cube FE S Hooh S B Y 2 R B SR A Bk e

TM1_export.setPropertyValue("selected_cube",
"plan_BudgetPlan")

spssfield_tmlelement_mapping EIES EWeS R tml TR AR BT ik 2 4 S SR 1 A1)
A A AR5y, Ak [["paraml™”,
"value"],...,["paramN","value"]]

fifn: TM1_export.setPropertyValue("spssfield_
tmlelement_mapping",
[["plan_version","plan_version"],
["plan_department","plan_department"]])

xmlexportnode Ef4

[——*I XML 77 R R DL XML A 5 2050k, T DU S PR A2 XML J5795 5, DL
<XML> H B R ERT I R
——

Zn|

stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full filename", "c:/export/data.xml")
xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"],
["/catalog/book/title", "title"]])

2 241. xmlexpormode &1

xmlexportnode B iR ER SR

full_filename string (7 ) XML 5 1 SCHF R 52 B B AR SR 44,

use xml_schema R fRERDM M XML £ (XSD 5 DTD ()
P T Al Y S5 4.

full_schema_filename string T Y XSD o DTD SCRAY 5¢ B AR AL 1
%, TH use xml_schema ¥ K true, HABA Kb

generate_import trak A I T4 S L Y B8R S T B XML IR

records string FRIEFEM A A XPath Fik,

map string Y FB A 2] XML 514,
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& 18 Z= IBM SPSS Statistics 3 & /B

statisticsimportnode &4

( ‘j; Modeler [ 5 A7 S0 (il FAR — 45 3) 1RBOsE.

F s
S

Statistics SCFTT A IBM SPSS Statistics i A .sav 8% .zsav CAF#E L) SR FEAE IBM SPSS

il

stream = modeler.script.stream()

statisticsimportnode = stream.createAt("statisticsimport", "SAV Import", 200, 200)
statisticsimportnode.setPropertyValue("full_filename", "C:/data/drugln.sav")
statisticsimportnode.setPropertyValue("import names", True)
statisticsimportnode.setPropertyValue("import data", True)

£ 242, statisticsimportnode &1

statisticsimportnode B iRz EEER
full_filename F e TR (HEE) |
password FAFH L, AAAE file encrypted ZEZ T E
password Z%{,
file_encrypted PR BESC TR 2 RS PR,
import_names NamesAndLabels b PR i A4 MR RS A 5 1%
LabelsAsNames
import_data DataAndLabels A TR AIRRAE 1) J7 2k
LabelsAsData
use_field format_for storage TR E fREF AN ZARMEH IBM SPSS Statistics 7 Bt
AfFE.

statisticstransformnode E¥

e “Statistics F4"F7 54X IBM SPSS Modeler H 5 JRiZTiEF ) IBM SPSS Statistics &%
{': & :,. frd, AT IBM SPSS Statistics [ 1] HIZ.
e

il

stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform", "Transform", 200, 200)
statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticstransformnode.setKeyedPropertyValue("new name", "NewVar", "Mixed Drugs")
statisticstransformnode.setPropertyValue("check before saving", True)
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% 243. statisticstransformnode J& P

statisticstransformnode Eff HiRER iR

syntax string

check_before_saving trik RAF S AT 2 i35 UE C A 38,
WEREE TR, I As B — 4R
HE.

default_include trk HRELEL, WS HE 1107 )
| 7 filternode Jg& 4k 1 |5 i,

include trs HXELHE, W2 117 50w
[ 1 filternode J@ 1 1 |34,

new_name string HRELEL, w0 107 )
[ 1 filternode J@ik o [

statisticsmodelnode B4

“Statistics IR AU EAERS WL IB 17K 22 B PMML ] IBM SPSS Statistics 3 #2443 Al b
{ @ } IR, T A% IBM SPSS Statistics [ ] 4K,

il

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticsmodelnode.setKeyedPropertyValue("new name", "NewVar", "Mixed Drugs")

statisticsmodelnode /B4 HRER B

syntax string

default_include trak ARELZFER, WSHE 117 U
| v filternode @&k 3 A= i,

include iz BHXEZEE, BESHE 117
| 7 filternode &k 1 |3 i,

new_name string HXREZHEE, WSHE 117 11
[ 1 filternode J@ 1t 1 |34,

statisticsoutputnode [E4%

“Statistics fi " S AT M IBM SPSS Statistics 142, PI4r#r IBM SPSS Modeler %tifE. wJ
&) DIyl %% AR 1BM SPSS Statistics /M BTl f2, M1 M7 % IBM SPSS Statistics 77Tl 4%,
EE|

il
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stream = modeler.script.stream()

statisticsoutputnode = stream.createAt("statisticsoutput", "Output", 200, 200)
statisticsoutputnode.setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A) BP(A) Cholesterol(A)")
statisticsoutputnode.setPropertyValue("use output_name", False)
statisticsoutputnode.setPropertyValue("output _mode", "File")
statisticsoutputnode.setPropertyValue("full filename", "Cases by Age, Sex and Medical History")
statisticsoutputnode.setPropertyValue("file_type", "HTML")

& 244. statisticsoutputnode &1t

statisticsoutputnode JEE LR et 2i3ns
mode Dialog PEHE“IBM SPSS Statistics X FE” 4
Syntax IO 8 1 v G 4
syntax string
use_output_name prak
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW

statisticsexportnode ¥

Statistics 7 5 2L IBM SPSS Statistics .sav 5 .zsav #& % 8dE. IBM SPSS Statistics Base
A AT DUSEIR sav 58 .zsav SCHF, X AE Xt T IBM SPSS Modeler H i) 5 SB2R 77 S0 {4,

il

stream = modeler.script.stream()

statisticsexportnode = stream.createAt("statisticsexport", "Export", 200, 200)
statisticsexportnode.setPropertyValue("full_filename", "c:/output/SPSS Statistics_out.sav")
statisticsexportnode.setPropertyValue("field names", "Names")
statisticsexportnode.setPropertyValue("Taunch_application", True)
statisticsexportnode.setPropertyValue("generate import", True)

£ 245. statisticsexportnode )& k.

statisticsexportnode [ | #iEE e 2 pus

full_filename string

file_type sav PL sav B zsav M ARAESCIE, B0
zsav statisticsexportnode.setPropertyValue("file_type","sav")

encrypt_file trid eI 2 R,

password string A,

Taunch_application s

export_names NamesAndLabels HF¥FB 4 M IBM SPSS Modeler 75t HIef#] IBM SPSS Sta-
NamesAsLabels tistics B SAS fAS &4,

generate_import ik
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£ 19 5 BTREH

AN AR E TR R JE . A AUE Mk a] R AL

76 246. Rl 5 E P

BHAR BHEENES R e
execute_method Script
Normal
script string
BYRSH

T 3 P AR R AS b B sl B T S

mySuperNode.setParameterValue("minvalue", 30)

AT HLLU T AR R S0

value mySuperNode.getParameterValue("minvalue")

ERUFETR
SSETLUGE A findByType() BRHCE I o 7 Rt 17 1

source_supernode = modeler.script.stream().findByType("source super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super", None)

RECHRT ARE

AT DI 2o ] A T R B R B B VOB P R E T R B, i, Bk — R R,
rp db B A AR R SO R DA R . T D i 7 ] B O A R OGOk A% 8 B R S Y A FR (A
full_filename E@MI5E) , T FR:

childDiagram = source_supernode.getChildDiagram()

varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

BT =

IR EE K TR B M R SN A, IR AR DO B mi, Dl R QU I e 15 nOoR DL T 3058
JREHRAE, SR DRl T R Y R R R A - A/ AR Y R BN, AR R A
0 -

A

process_supernode = modeler.script.stream().createAt("process_super", "My SuperNode", 200, 200)
childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)
childDiagram.linkFromInputConnector(filternode)

childDiagram.TinkToOutputConnector(filternode)
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PR A. WEE5IA

MRS IBM SPSS Modeler HR 7 551 A4S gt il 24 R 5 .

BEER AN
BOBYE (UFRh A MRA R ) A DA SR 1751 A, BLAH G ARG A G — B, TR B BB A G R 5 FI 4
.

W, XWAFREL T B BRI IR (2T IBM SPSS Modeler % 04 ) iy, HEI|IHEL
VRINEIE b HEATVR 4 BRI 5, BB 54— L) apply... WHTRN 4. HXEZER, 2R
[T U P A

M IEEE R, HE SRR AR R DR S R IR,

£ 247, FRIH LR CGEBGER ) .

RE AR =Ll
anomalydetection S

apriori Apriori
autoclassifier Hshir ket
autocluster Hah&3%E
autonumeric H sh#F
bayesnet DU H7 0 2%
c50 C5.0

carma Carma

cart C&R #
chaid CHAID
coxreg Cox [HIH
decisionlist AR
discriminant F 5

factor PCA/H T
featureselection FHEE£F
genlin &= el =]
glmm GLMM
kmeans K-Means

knn k- A 4RI HR
kohonen Kohonen
linear &t

logreg Logistic [A] 14
neuralnetwork T 4
quest QUEST
regression Eoa et VRl
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FE247. BRI GFR (BEHEAR ) (25).

REZIR kit

sequence gl

slrm ] M) R A5
statisticsmodel IBM SPSS Statistics #x1i
SVM SRl R

timeseries IS} 1] 7 5]

twostep —Wr

# 248, FHIGRATR (R FEE B .

BEZFR L il

db2imcluster IBM ISW $2
db2imlog IBM ISW Logistic A H
db2imnb IBM ISW Fp2ZE Dl i3
db2imreg IBM ISW [AH
db2imtree IBM ISW P
msassoc MS SCECHL
msbayes MS Fhz DL
mscluster MS JE

mslogistic MS Logistic [#1H
msneuralnetwork MS Hizg [ 2%
msregression MS ZHElE 1
mssequencecluster MS FFHIER3%E
mstimeseries MS s [a] 731

mstree MS PSRy
netezzabayes Netezza Bayes [¥%%
netezzadectree Netezza IRIRH
netezzadivcluster Netezza 733 A K%
netezzaglm Netezza | L 2ktk
netezzakmeans Netezza K-Means
netezzaknn Netezza KNN

netezzalineregression

Netezza ZVE[A IH

netezzanaivebayes Netezza Fh2E U137
netezzapca Netezza PCA
netezzaregtree Netezza [A] 54
netezzatimeseries Netezza [ [8] /541
oraabn Oracle Adaptive Bayes
oraai Oracle Al
oradecisiontree Oracle #REH

oraglm Oracle GLM
orakmeans Oracle k-Means

oranb Oracle M DLIFH7
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# 248, BRBIBRAZR (HREERLE MR ) (25).

BEZIR il

oranmf Oracle NMF
oraocluster Oracle O-Cluster
orasvm Oracle SVM

& R E 2 RIIE R AR

RS X A RO B AT AR I, S5 ERE: RIFEE MBI AR RE 2 S EUE G, O TR X R A
(M A, R A o A A s S T A P AR e FRIOHE — 1 24 .

B AR AR A4 PR E BRI

1. MR

TE > AP%Em
2. HFERIBEI R,

3. BEREBRIEHREDIR G B B ) A A 4,

EAEAR BB AR S| IR, BEIASEAT4T A7E SPSS Modeler 5 IBM SPSS Collaboration and Deployment Ser-
vices Z [AIAJFEA BT AN, SPSS Modeler % FHLIR M T8 4 So i BEU L0, B UETO0RS B S e m] 42 OREY (471)
n, AR IEAATIEN, DME G RE A UARR ARY ) | {HJE, £ IBM SPSS Collaboration and Deploy-
ment Services FIZAT[R —MIASKS, BCRETUAT] H, R AR A R A A AR B iy 4% DLRE S R AR AT R B
RS, SCE R AR IE IR AT R S AR (N, S0 clear generated palette 547 ) , W] RUEEAIX

Tt oL,

i1 H 22 B AR

TS T A R X SRR AR E AT AL AR R SR T IR e AR e SR, S I Bl

ki IS R R ([EUB AT R A SR P Y RUm )

SRR TR
analysisoutput g
collectionoutput &
dataauditoutput Bt # %
distributionoutput Baxil
evaluationoutput TEA
histogramoutput HITH
matrixoutput ey
meansoutput S {H
multiplotoutput ZERAA
plotoutput R
qualityoutput gty
reportdocumentoutput WX G RIARE TR B TR QL
reportoutput s
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# 249. Firthi ¥R KA LI R EJE X LERAIAT T L (2E).

statisticsprocedureoutput Statistics % it
statisticsoutput F it
tableoutput #*
timeplotoutput i ]
weboutput Web
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Btz B. MNIBMIZAZ&HIEFHE] Python Bz %

IR TEF LA

AAiiE At IBM SPSS Modeler H Python JHIASZ il 5 [H A i [0 9 22 S0 B2, FFAR A S NPy IH AT
# Python MIARIMEE. FEATH, HORREISRHE SPSS Modeler |Hfir 4 MISFALH Python fir 4 513,

—BER
[H WA g ) ) i FEAR KRS EMEETHRERSE LS MA, Rm@a*%ﬂ 5 n
if...then...else...endif F1 for...endfor) , (HIHEASHImW AT, - H45000 A= L

F£ Python MIAZiHIH, AutA RN, I HJET R — ZHPE1T L 0HE A — JOn AT it

i SHIAIRENG Python fURSI, 555 &/ MOHRAE, FEMIE AR, (1 tab A5UERYIATR]HES 62 A A UL RO AT
FRAR—F. {HRE, Python MIACKEAUEELR, I PN AKX LA T HAE At R (917

BN 4wl £ T~ 3

A 2 1l B SCE ST AE TP BT RIS R EE, B, T RAT A A IR SO Y AL lan, A TH A
o B SORRRECT, X ERE B A BT Y S A S TEPUTIZ AR .

16 Python JZZwHId, WA Smk ETF 0@ modeler.script fideDl @7 L4248, #0, Python i A w]
DU DA A 1 (] $0A T 12 B AR () 3

s = modeler.script.stream()

SRIG, AT LUtk (B 4 % G 18 -5 A 5% B R AR

TS SR
(LR A ST [ i 4. KR 6 MDA 04— 730 UG B 2 BGIAT I AT 10 - FF IR, B

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"

Python i il % 1 id 7 SCeR AR G (BB, SR04 ) Brifl Ay e &, it

stream = modeler.script.stream()

typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filter", None)
stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")
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X EFFERE
IBM SPSS Modeler H — 63 FIfSCFEFIERE @ 2 7E Python MIAZm il BA S84, XAl IFF B LA
SPSS Modeler |HHIA {0 Python fEIAS, DIf#EFE IBM SPSS Modeler 17 FR{#i .

% 250. LT HERE R IH DA ] Python JIZR Gl i BL4 .

|RREN 2 4 Python Mz 4l
A, i 4 GG
TS, it 0.003 AR
MG IS FAFE, Fla Hello! HAIF

i & IE ASCH FERF AR R FmEAMLL u VB WIS,
DI E13278 R Unicode,

IWE & 7458, FIan "Hello again” HHE

i AR ASCH FAFIF4F 8B FRIE LML u VB FRTE,
DI B 1138788 Unicode,

K4/, il Pl

"""This is a string
that spans multiple

lTines"""
G, fitn [1 2 3] [1, 2, 3]
EGIH, Hm set x = 3 X = 3
FTaRSEAF (\), fItn x=1[1,2,\
set x = [12\ 3, 4]
3 4]
Bk, filn """ This is a long comment

L. over a line.
/* This is a long comment

over a line.*/

TrER:, it set x = 3 # make x 3 X =3 # make x 3
undef ¥

true True

false False

= -+

EEF

IBM SPSS Modeler H — 63 FiZH 4T i 2 4F Python A SR il BAA & 5dn 4. X al DIFE B4 3 SPSS
Modeler |HEIA i Python A, DIf#ifE IBM SPSS Modeler 17 Fhfidi f.

%251 TR IHMIA L2 Python JIA 2 il 9 BT

|E R 2 2 ) Python i)z 45
NUML + NUM2 NUM1 + NUM2

LIST + ITEM LIST.append (ITEM)
LISTL + LIST2 LIST1.extend(LIST2)
NUML — NUM2 NUM1 — NUM2

LIST - ITEM LIST.remove (ITEM)
NUML * NUM2 NUM1 * NUM2

NUML / NUM2 NUM1 / NUM2
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K251 B FHATHIIH AL HIE] Python MIZAZHIRIBLS (£5).

|HB 2 4l Python HZ< 2!
= 1=

X *x Y X x% Y

X <Y X <Y

X <=Y X <=Y

X >y X >Y

X >= Y X >=Y

X div Y X /1Y

X rem Y X%Y

X mod Y X%Y
and and

or or

not (EXPR) not EXPR

Y 4
EHFERFEIR

IBM SPSS Modeler H1— 465 I 2 - FIE A 2 4E Python MIAZw it HA S5 A4, X0l IR B K LA
SPSS Modeler [HEIZAHE % Python JIA, DIEAE IBM SPSS Modeler 17 H i H.

& 252, A A RITEER AT IH A Gl 2] Python  JIA 2 il A e 1.

| B RE 7 4l

Python BZ<ZR%I

for VAR from INT1 to INT2

endfor

for VAR in range(INT1, INT2):

of;

VAR = INT1
while VAR <= INT2:

VAR += 1

for VAR in LIST

endfor

for VAR in LIST:

for VAR in_fields_to NODE

endfor

for VAR in NODE.getInputDataModel():

for VAR in_fields_at NODE

endfor

for VAR in NODE.getOutputDataModel():

if...then if oo
e]éé%f...then e]%%....:
else else:

endif

with TYPE OBJECT To 45 B4
ené&%th

var VAR1 AN B R

Wi B. MIAMIAZGSIEHE Python A
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R E

S E

TEIHA G S, 1A & Z F0 A & T 7 A, fln:
var mynode

set mynode = create typenode at 96 96

F£ Python MIAZIH, A8 RALE K| R UEAT B, Hlhn:

mynode = stream.createAt("type", "Type", 96, 96)

TEIR A Gl rh, e~ IS4 Bk 0 AR B 51 A,

var mynode
set mynode = create typenode at 96 96
set “mynode.direction."Age" = Input

SR B ARG HIES —FE, 7E Python MIZARZuHIH, XA ULTRAIE, Han:

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction","Age","Input")

TR, HiH R ER
FEIFAS R, AR T (19, e AR ) SR 4 G 38 I T2, I, R A 95 A A

derivenode Z&HU:

set feature _name_node = create derivenode at 96 96

Python 1) IBM SPSS Modeler API A I node JG4%, HIL“IRAE"T HEA derive 2851, fijfp:

feature_name_node = stream.createAt("derive", "Feature", 96, 96)

[H A5 Python IR 2 il () 2 2 44 B (O E — 22 e AE T ik DA 5 24,

Et#
TEIHMA G 6IA Python BIAZwGIH, JEMEAME. BN, FEXMMIASGIFAEES, AR ST S T e X
SO E @R full_filename,

T =5 A

VP2 IH A IR o 2R A AN [m] BB 2 A il BTn, Sl & AR L i AP R 2 A R iR 8 1Y
SR L, R T B Ty ) (R ) BN, RS Br B AR (R B
MEgME ) -

set 'Type':typenode.direction."Age" = Input
set 'Type':typenode.direction."Drug" = Target

£ Python MIAZHIH, AAER A mxt g, AaHFEMATREREEN L, G

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

£ TEARFIF, "Target” WS EFRFHRG]FH,
A4, Python FHIZRT]{# ] modeler.api H/4FfHH) ModelingRole M2,
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R Python JEIAZ I RAS ] RE oG SE B, (HERENS SCIL S HERIAATINNPERE, ORIl # OUAT — AR R Y
Mo AETHAR RGO, R B0 R R A

FAN, B ZFRFHARRA AT A O RATE ST SO S HE (SRR BRI R R A B/ T S AR IR ) o flan, TEIH AR g il
e

# 1d65EMPBYVL87 is the ID of a Type node
set @id65EMPBIVL87.direction."Age" = Input

DU BIAS o Python JEIAS & i Hh f [R] — 7 91

typenode = stream.findByID("id65EMPBIVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

HEHE BB

[HIAA GRG0 ] set v R4 EM. set a2 mERAYRNC AT DU @ e S, DUT A R T PRI AT RE Y T 1%
B R LAY A 2

set <node reference>.<property> = <value>

set <node reference>.<keyed-property>.<key> = <value>

1£ Python JHIZAZwiklh, @it %k setPropertyValue() Ml setKeyedPropertyValue(), JLISZHffR]—%&5
A, it

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

FEIHRA G f, aTLAG A get fir &R SEBAVI M E ik (E, Hidn:

var n v
set n = get node :filternode
set v = "n.name

TE Python JAZwilr, il HeR%L getPropertyValue(), wJLISCEL[E —455R, fldn:

n
v

stream.findByType("filter", None)
n.getPropertyValue("name")

IRIEIT
IS, create @14 T QILH A, Bt

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

£ Python JHAZwEI, JEA LR QIR RmTr, B

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

TEIHA G IR, connect fir % T BIEE W G Z [ B, I 4n:

connect ~agg to “select

£ Python MIZARZiHIH, 1ink J7rik AT RIE Y M2 WA HEE, Flin:

stream.link(agg, select)

TEIH AR, disconnect w4 T FR & S RIAEEE:, fan:
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disconnect ~agg from “select

£ Python JHIAZHHIH, unlink Jrik TR AT R ZAIROHES, 0

stream.unlink(agg, select)

TEIH A4, position 4 F T K 7 e it AR b sl Ho At 5 52 8], i an:

position "agg at 256 256
position ~agg between “myselect and “mydistinct

16 Python A, 8 FIPAMORE A 77 (setXYPosition i1 setPositionBetween) , AJL)LSZHi[F —
i,

agg.setXYPosition(256, 256)
agg.setPositionBetween(myselect, mydistinct)

TR (E

IBM SPSS Modeler H— 63 F 17 S BV E i 2 FE Python A Zw S HA SR04, XAl DIF B BLA SPSS
Modeler [HZA%:4t} Python A, DIfEFE IBM SPSS Modeler 17 Hfifi i,

253, T EERTIH ARG HIZ] Python WA il (g5
(BB 7K 4 ) Python fiiZ<% %]

create nodespec at x y stream.create(type, name)

stream.createAt (type, name, X, y)
stream.createBetween(type, name, preNode, postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.link(fromNode, toNode)

delete node stream.delete(node)

disable node stream.setEnabled(node, False)

enable node stream.setEnabled(node, True)

disconnect fromNode from toNode stream.unlink(fromNode, toNode)
stream.disconnect (node)

duplicate node node.duplicate()

execute node stream.runSelected(nodes, results)
stream.runAl1 (results)

flush node node.flushCache()

position node at x y node.setXYPosition(x, y)

position node between nodel and node2 node .setPositionBetween(nodel, node?)

rename node as name node.setLabel (name)

EE2

FEIRMA GG, BESCRT SI R R 1

o VHRR, FEBLIERRR, TARAERAEPI A RAGUE L A U7 RS B0,

o JFOIERR, MCARERXMEF SIS T S,  DIERE Y A E S E B PR AL A

DU B AR 2 1 A 2 i v 18 1 250006 B 7 46
for i from 1 to 10

printin ™

endfor
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DU BIAS 2 [H B A G il A 1 75 200 908 24 7 491
var items
set items = [a b ¢ d]

for i in items
println "i
endfor

F38b, 3R] DA A S B A 3E
o ORI I AR R A AR Y sl 25 AR A i AT AX
o XA SR Y R T BT IR,

Python JHIAS Gl i 5 HABR R AY0R R, DUTIIAIE Python JEIZR g5 il B4 7 K08 2575 91

i=1

while i <= 10:
print i
i+=1

PR EIAS S Python JAIAS Gl () 5 51 15 5 7 1

1'tems = [Ilall, Ilbll’ "C", Ildll]
for i in items:
print i

FPAIEEAEH R, JHAE'S IBM SPSS Modeler API J7ik&i & )5, MCARERA] S 2 ARSI AG], DLToR
B R AT ] Python JEIAS G i (19 e SR PR X 1% H A5 589 7 Bedh AT B4R

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel().columnIterator():
print column.getColumnName()

HATIR
PATHR AR AR, AR R el X SO AR B A — X G AR h, A IH ARG i, IAS A X B
AR B B, B0CE AR U A5 R TR B A SR

TE Python W, PATIATEFEA TR PAT A B A AT B8 B e o DAAS 33 B A T pR 1 91 R Ak ], 3 Al
A 0] DUTE AR Mo v [e) 3 g A T 45 28

[H WA G il 57 45 81 = P g A 7 i 2

« execute_all, FITHAT IR A B A ] PR T 2005 19 5,

« execute_script, MTHATIHMEA (SHAPATIEEITLR) |

+ execute node, FITHATHE & YT A,

Python JHIA 2 il 37 15 — 2H 2L ek B

o stream.runAll (results-list), T HATI S0 A o] P77 4,

* stream.runScript(results-list), HTHATHMEA (5EAPITHRETLR) |

e stream.runSelected(node-array, results-list), T S HL0FEHATIE E 0 — 475 5.
e node.run(results-list), HTHATIEENTTH,

TEIHMA A, wT DU A v PR RS Y exit ap k&b mdiaT, Bilan:

exit 1
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£ Python ARG, AL A ] SEBLR — 45 R

modeler.script.exit(1)

B RGN E X %R
FEIFIAR ST, SSTTBUE T open 4T IFBLATE. HURSUH TS, Bt

var sset s = open stream "c:/my streams/modeling.str"

TE Python WIAZHIF, FF7E— A0 NSTEFHATUIMAY TaskRunner 28, Ff HaX 0] T HUAT R M4ES,
fian:

taskrunner = modeler.script.session().getTaskRunner()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

FEIHEA Gl rp, ZRAFXTSR, Gl LI save an4, @il

save stream s as "c:/my streams/new_modeling.str"

G Python A7 HKe il TaskRunner 28, fdn:

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

F#+ IBM SPSS Collaboration and Deployment Services Repository FJEE{VETEIH A ST retrieve Fl
store #r&ZLE, HlLn:

var sset s = retrieve stream "/my repository folder/my_ stream.str"
store stream s as "/my repository folder/my_stream_copy.str"

£ Python JEIARZi I, AT LUE 5200 SR BRI A7 i P X SRV 0l S 2 h R, i an:

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

E AT TR) BRSO i P R R AT T RC L

TRiR(E
IBM SPSS Modeler H— 264 IR A 2 7E Python MIAgmiil BA & 3tdn 4. Xl DIFF B K A SPSS
Modeler [HIA%:4t ) Python A, DIfEYE IBM SPSS Modeler 17 Hfifi .

# 254, P HEAFRYIAMIA L FIE] Python 1A G BELT .

| RIS 4l Python Rk 2|

create stream DEFAULT FILENAME taskrunner.createStream(name, autoConnect, autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream TG 550

Toad stream path JC 4 34 I

open stream path taskrunner.openStreamFromFile(path, autoManage)

save stream as path taskrunner.saveStreamToFile(stream, path)

retreive stream path repository.retreiveStream(path, version, label,
autoManage)

store stream as path repository.storeStream(stream, path, label)
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RER{E
IBM SPSS Modeler Hr— 2 FAY R RI4R1E G 476 Python 1A Zi v BG4 4. X ] AFS K 304 SPSS
Modeler |HEIASE4: % Python HIAS, DIFYE IBM SPSS Modeler 17 Hifii F.

# 255, BABRAERI IH MDA IE] Python A2 il i R+ .

IR 4l Python iz 4RI

open model path taskrunner.openModelFromFile(path, autoManage)

save model as path taskrunner.saveModelToFile(model, path)

retrieve model path repository.retrieveModel (path, version, label,
autoManage)

store model as path repository.storeModel (model, path, label)

X% iR1E
IBM SPSS Modeler H1— 465 F (1 S04 4t #/E ir 24 Python JAIZAZw il rh HAG S aLar &, X n] DL B 40K 20
i SPSS Modeler [HAK:H ) Python A, DIfELF IBM SPSS Modeler 17 i H.

& 256. SCPAfHHRIERTIH ARGt 2] Python IR Gl A4

IR 2 ) Python BHIZ 4

open output path taskrunner.openDocumentFromFile(path, autoManage)

save output as path taskrunner.saveDocumentToFile(output, path)

retrieve output path repository.retrieveDocument(path, version, label,
autoManage)

store output as path repository.storeDocument (output, path, label)

B A4S Python BZAZ4mHZ ERIEMER
[HEA 2 (EXT 40 IBM SPSS Modeler TH2[ 5.  Python JIAZi il 24 i A4 AL 57 HF,

F A 2 i J At T SR AKX 5 G Y& ) 95255, IBM SPSS Modeler 8.0 Jig Ay iRAS A 77 i I
IREXL,  Python MAAZG A SFHIREI R,

Python Al S 4t T F SIBEAISIAE,  IH B G i o R 2 fit X 26 O
o HERACH

P UL N PR

o HMERBLHURIES = 7 MR
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=12

AR B N TE R E F A 7 S AR S5 i B Y. TBM Wl RE DUHARIE = 82 AR RE, SR,  SXATRE AR 29 A 7 dh ol
PR R B A R AT VT,

IBM A AEAEHAh B K i DO B A SO R g 97 i, M a5 s REARFAE. A O J A DT e X sl B 7= it Rl 55
MR, HmEAE IBM ARE, B IBM i, BFEEURS RS E SR R s R~ R e A
IBM f7=h, BEFPeiliess. HEARM BM BRI, ALMESFEDRER ™ M, BFaiiss, #r LU 1BM
i, EFEURS. (HE, WAAMBIEERTE BM 7 h RRpEigs, Wb AP a1 s,

IBM 72 ] A] fE AT SUEAE FIF- SA SN A A RIS 0L A, S AR SORIFR 27 7 6 o 28 R 9 4T
VRRL, Sen] DUR 5 oy 20K VR ] R ar A

IBM Director of Licensing
IBM Corporation

North Castle Drive, MD-NCI119
Armonk, NY 10504-1785

Us

HFRWFTT (DBCS) 15 B &, WE S5 EE RS HX 1 IBM FHRF=AERTEE R, R Ok
WA

Intellectual Property Licensing

Legal and Intellectual Property Law
IBM Japan Ltd.

19-21, Nihonbashi-Hakozakicho, Chuo-ku
Tokyo 103-8510, Japan

International Business Machines Corporation*t& BUIR™ & EA Y, ASHTAAEATAZERT (Tt e /R IR & I &
1) PRIE, FAREAR TGS A IR, A A T AR @ R ORI, FSe i B DX AE S 2852 Jyvh
AN FOVF LB B 7R B S A ARIE. PRI 45 T RE N T 48,

A S AT RE B S HR T T AN A A 3t 77 BB R B R, EAR A5 BRI R X LB RO G A AR BORL T
AR, IBM ] ARG I %S A H Ry 8 6 7= AT B R S B, TR S ATl .

AA5 B XTAE IBM Web 3 s (94T 5 | AR HUR 0 7 07 & WA SR ARG, AR RUEAT T T XL Web 3 i
APRIE. IRLE Web b il fF Y BEREAJE IBM 7= BORHAY — 3003, FITIRLE Web il mi i R 1 XUREHE i 58 477K
1H.

IBM 0] DL & A i 24 AT A 07 o P sl e S B 2 A8 B A Al i R T e 000 R ABAT A 5T

AR RBOVF Al T AR B T A SR A R RLA RN HAY: () fEHRES M B e (8
WARF) ZBEATE R, Lk (i) MRERE X O sc i ny (5 St T ILAE /), 15 5 T A1k B &

IBM Director of Licensing
IBM Corporation
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North Castle Drive, MD-NC119
Armonk, NY 10504-1785
Us

HEESPE 2 1 SR PPRGR, BRI IE T — 2 MR i A 9, R RAT X 05 T Y 7 .

AGOREF A R VR AR e OB A A RS VFR] BORHS H IBM K Y IBM & P Bl IBM [ PR PF 1 ) Bl ek
AL A0 [a] 4 PSP B A AR AL,

BT 5 | B P RE R AN P s UV E S I o, S A P RE 4 2R vl i 2 DR 2 O G B M2 8 A1 1 .

W RAE IBM 7= i B 15 B AT X 87 B R R, HG HE RS B O T 22 JFERAR Y. BORIRERIL.  IBM A X
XL IEATIN,  RIREA AR ORI, A EEUE A TR IBM iR AR IBM
sty T A T L7 24 )5 4 7 il ) 416 B2 7 2 1

KT IBM AR T 1w R 1f) 4 7 W AT B S sl [, TR 5 ATl o, eI R T AR AR IE .

A5 BB AE H HL 55 B4 6 R B AR S B 7R, O TR AT RE SE R B X SR 1, s T RE 2 A
PN/ T/ Vol o1 U 8 S S PR o (P 2 o e i T g N O o S L = B e

[GL7R
IBM, IBM ##r#1 ibm.com f& International Business Machines Corp. F£4BRF 2247 HUE #EH IX 1w s w3 it

Fbr, HAb = WAR S AR 2 1IBM sl A0 A R bR, 1IBM RIbr i &5cHidE ] A Web L [1)“Copyright and
trademark information”4b3k45%, M 4EA: [www.ibm.com/legal/copytrade.shtml|

Adobe, Adobe #br. PostScript 1 PostScript %45 & Adobe Systems Incorporated 7 3% [E Fl/al HiAh FE 5 5 b
DX 1 W 7 A B

Intel, Intel ##5. Intel Inside, Intel Inside ##x. Intel Centrino, Intel Centrino ##r. Celeron, Intel Xeon. Intel
SpeedStep, Itanium Al Pentium J& Intel Corporation B H: -2\ ] 7E 35 B RN H Al FE ¢ b X 1) e b el e A R b,
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