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Agld to Project
X Delete

Delete

18. SN - XL v b

CHAID +7" v b DG4,
i5]he

—#EDI)L—ILTT,

ETIV] ZTUTIE, V= - £y FOBRTHMARRINE T, A
TEXERANT A =NV RFOMEIZHEDNT, F/ —RIZfAMDOLa—R2E O Y TEDIMHHTE S

0 Credit rating

E |,; File f) Generate

J Wi

E- Incorme level in ["High" ] [Mode: Good ]

mumber of credit cards in ["Less than 51 [Mode: Good ] = Good

rumber of credit cards in ["5 or more” | [Mode: Good ] = Good
Incorne level in ["Low" ] [Mode: Bad] = Bad
B Income level in ["Medium® ] [Mode: Good |

mumber of credit cards in ["Less than 5" [Mode: Good ] =+ Good
Lo Mumber of credit cards in [*5 or more" ] [Mode: Bad] => Bad

19. CHAID €5V - F7y b, L= - kv b

BETr4vVayv

VY= X=3IFN - )= F (FhUEFEEINBZNY Y= =) O
EiF DR L WS FHIPEINE S, E5505ATE, PHIEBZO/ —FRIZNES L a—-FDE—
R &b RIS Lo THREINE T,

Bt

=

MR
V= -ty vOEMO TE£FIV] 2712, FHEOEEED VS 7R REINFET, TDT 7 71T,
EFNHEROR FHIEDOMNAREEENRINE T, Z0Zeh s,
HEThh, zoTirM— T2V Yy b - =N »

=
TN

AL~V MZOBEHEDAE
THDHII DN T,
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i g 2 1.

Predictor Importance

Target: Credit rating

Mumber of_|
credt cards

I | | T

I oA A S &
[
Least Important

X 20. PHUEOEEE S S 7

EFNL - FTYERD [¥Va—7—] 27T, ALCETILN, &F4>Vay R4V M/ —RKEHLE
V) —DERTEHREINET, VA= [X—4] IV bu—La2FHETRZE, BED/ — RIZAXA—LA
AU, A=AT77 LTV —DIDEVHIHZERERLEZDTEZZEDRTEET,
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O Credit rating

)f%,%’ |;.' File: @ Generste 6’ Wiey

cHATD

| Model | Viewst || Summary | Seftings | Annotations

o0 (e Hm@E AEE @

Node D .
Category % n|:
Bad 40944 70z |
B Good 58056 1014 :
Total 100000 1717 |
...... Er
Income level
Adj. P-walue=0.000, Chi-square=421.188, df=2
Hirh Lo:w hebedium
Node 1 Node 2 Mode 3
Category % n Category % n Category % n
Bad 10969 60 Bad 23378 3 Bad H 656 332
= Good 80.031 487 B Good 16.622 62 B Good 562344 465
Total 31.858 547 Total 21724 373 Total 45.418 797
= | =
MNumber of credit cards Number of credit cands
Adj. P-walue=0.000, Chi-square=25 696, df=1 Adj. P-walue=0.000, Chi-square=129.147, df=1
Less than & 5ar i'nore Less tlhan 5 5 or more
Hode 4 Mode 5 Hode & Mode 7
Category % n Category % n Category % n Category % n
Bad 1607 6 Bad 17.080 &4 Bad 14.234 30 Bad 66023 203
B Good 07 403 225 | |M Good 82.011 262 B Good 856766 235 | (M Good 43 977 230
Total 13 454 211 Total 18.404 316 Total 15.958 274 Total 30 460 523

21, A=LT U RBEIRENZETN - FT Y bD [Wa—7—] &7

VY —DLEERSE, BHID/—F (/=R 0) 3F—&% - £y FADTATOL I—ROEMN%2RLT
WEd, T—X -y FND 40% 2D UBR L7 —AD, VA7 ENEINTVWET, ZHIEFHEYEN
HRTHDH7-D, FREL>TWAHAREELRD IR FIZODWVWTY Y =BV MERTIENTEEINE S
ERTAEL XD,

BAIODENINAL RV ZEBEDTHDEZ DN ET, WALRLY K] OAFIT)—DLa—
Kik, /= F 21280 Y TonNTWET, ZOHTFIY) —IZ@EWEISOEBREITENEEITNTWEDN
A0 FETH, BLZLTIEIVETA, YR, Z0OATT) —DFBIZMETAZLIE. GVWIAZEE
bij_o

72720, ZOATIT)—DFED 16% 1F. EBICIIMEBAEITICHR>TE ST, FHIDEIZIEL W E LR
DEHA, TRTDOLVARVAZS EL FRHITESZETVEDD EFHA, ULHALULRBWVWET VI, {FHTHER
F—RIZEDINT, BRLI—RFOEHTREUAEW VARV AR TFPHITAZI L 2AREICTANELH D F
ERS

FL &I, WADZWEE (/—F 1) 2H5&, KD (89%) DEEDV AT PMENZ L8500 %

3, LU, — AT, TNSDEED 10 A2 1 A% BB APMMEHBRETICR>TWET, 25072V
AT BBNRIZIIZ 272012, MEREEZFIETZZDOTL & 55,

RELTVWEZLYY b - A= FROBIZHEDNWT, ETADRINSDEEE 2 2OV THTF I — (/) —

R4 BLO5) IZ0HELEZHEFEHLTLEI Y, SNADBEEIZDOWT, ZL Yy b - I—FREMN 5
BRI OB IZDAME U258, BRIEED 89% 75 97% IZ EH L., I 5ITHMED W FERIZARD
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I
High

MNode 1
Category . % n
Bad 10969 B0

B Good 89.031 487
Tatal 31.858 ad4r¥
=

Mumber of credit cards
Adj. P-value=0.000, Chi-square=28.696, df=1

Less than & 4ar mare

Mode 4 Mode &
Categary % h Category % h
Ead 2.597 3 Bad 17.089 54
B Good 97 403 225 B Good 52911 2R2
Total 13454 2 Taotal 18.404 Mg

X 22. EINADEHEDY ) — - La—

UL, $EBEQIANT T — (/= F 3) OBEICOVTEE S TL &S, TR iz [
W ORI, BEICD PN THET,

¥ FTNFIT)— (COBE/—F 6 BLU 7) BBUDILNHVET, SER. JLIv k- A

— N 5 BERIEOHRREDOINADHEIZOAGEST 2L, TRV OFHiid/ \—t 7 —I D 58% 5
5 85% IZ LR U, KiIERdENRINET,

Medium

Mode 3
Category % h
Bad 41,656 332

B 5ood 53344 465

Tatal 46418 TFAT
=

Mumber of credit cards

Adj. P-value=0.000, Chi-square=129.197, d=1

Lessthan & 5ar r|"nnre

MNode B MNode 7
Category . % n Category . % n
Bad 14234 39 Bad 56023 283
B Good 85766 235 B Good 43977 230
Total 15958 274 Total 30460 523

& 23. FREEONADEEDY ) — - L a—

ZZETT, ZOEFNZAHNINEZTRTOLI—RIEIEKED/ —Rizgo¥Tton, &/ —Fogs—
B RISEIZE DN T, TRW] 420 Y] OoFHIE D B ToND AL £ L7,

fllzoLa—RNZPHEZE DS TEZZDTOvAFE, Ra7) 7 eIFENET, ETLEHET LD
FHLZOLEULI—RZ2RAIAT7VUT7TEHILI2LD, ETANEET—X FERE2H>TWET—
) IR UTENE T EMIZETTER02McEEd, Aa7 ) V7247 AIEICOWTHHAL £,
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5 )L DR

EFNEBRTLHE, ATV VU IHEEEET S HEZMRTEET, 2770, TN ENITEIEMIC HEE
TEPEFMET B2, WS DOhDLI—RKDAATV VI %4F5 T, ETMZL>TTFHIEINSZL AR Y
AL EBRORERL 2T ARERH D FT, ETFAMEHETADIZEHINZDEELLLVI—FKE2 AT
VY7L, BRIVAERYZAETHIV AR AL 2T 22 R T T,

.

\ @ —tra ::: —a -.{'lill’%ﬂ
tree_credit.sav Typne ,Creditrating
+

-

. e

.’/ EEEE
4&%{ Table
. v

Credit rating \ / O\

Analysis
X 24. EFNVEMMDDDHST ) — FADEFIV - F7y - O

1. RAATFERIITFHEMERFERTAIZIE. 55—V - J—RZEFI - F¥ vy MoEEEL, =T - J —
KEXTNZY)y 7 LT [FEfF] 220927 L0FT,

T—=TMZ, BTV & o TER I vz $R-Credit rating &\ D ZAFID 7 + =)L RIZFlINizAa7
MEREINET, INS5DfEZ, EBEDOLVARVANREENTWSE D [EHE] 71—V KEHIET
xF9,

ATV ITRHCERI NG 7 1 =V R, BHANZ X ORR T 4 =)V RIZHEDE 35, EHED A
DM INE N E T, BEEEERE $G & $GE X, ML E T VIZ L > TERINE T, $R 1. Z D
£ CHAID ETMWIZ Lo THEKRI NS FHITHAI NS HIEFTY, $RC IFHEEEMICHEHINE

T, $X 1k, BT Y U TVOFMAIZ KD ERINET, $XR, $XS. BXU $XF X, MHT 4
—JV RH gl o TR | Ty M | ¥ 17578 O& 71—V NOGEIZE
R LTSI NE T, TNTNDETIV - XA TTHRZLZHBEFMIFHINE T, FHEEMIZ. &
FHER ENZ I EHETH 22T 2ETVEAOHETH D, A7 —)ik 00 5 1.0 T,
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B[=1x
2 [k
|Numher of credit cards |Educstion | Car loans JR-Credit rating | $RC-Credi rating |
5 ar more College More than 2 Bad 0.560 o
5 of mare Callege Maore than 2 Bad 0.560 K
5 ar more High school More than 2 Bad 0532
5 of mare College Mare ar 1 Eand 0532
o OF more College More than 2 Bacd 0,560
5 ar more College More than 2 Bad 0.560
o OF more College More than 2 Bacd 0,560
5 ar more High school More than 2 Bad 0532
5 of mare High schoal More than 2 Bad 0532
5 ar more College lMore than 2 Bad 0560
5 of mare College Maore than 2 Bad 0532
o OF more High school More than 2 Bad 0532
5 ar more High school More than 2 Bad 0.560
o OF more College More or 1 Bl 0532
5 ar more High school More than 2 Bad 0532
5 of mare College Maore than 2 Bad 0532
o OF more College More than 2 Bacd 0532
5 of mare College Maore than 2 Bad 0.560
o OF more College More than 2 Bacd 0,560
5 ar more College hore than 2 Good 0527 E

25 BRI N AT BLOEREME RS T — 7L

B EB0, Z2<DLA—FIZOWTRFPHMEE FEEDO LV ARV AP =L TWETA, §RTH-H
LTWEbIITEDY EHA, & CHAID X—3IF ) - J—RIZVARYARELEL TWBSDHHH
T3, P, \&d N L ARV AL —HLTVWETA, TO/ —RDOMOITRTOLARY A
F—HUTWEEA, ([BINADBED, EHEABITIZH > TV 16% OPHIREZBWE L TL7ZS
W),

INEEGET ZI21E, TRTD/ —FH 100% Ea7 (00, §RTHA TRV /413 M) T
ARVAT, VARYABBEIELTVWZRWV) [ZRZET, VI —2/NSWBIZE UK ET, 7272
U. ZD L BRETVFERICEHTH D, BSMioT—% - £y MTI EL LTS EHEA,

ELWTFHIOBZ EMEICHER T 2121d, T— 7V EkEGA, FHITZ « —)V K T$R-Credit rating] DfE
2 MEHE] OEIZ—HT2La—-FIERAET, F0WRI s, B20IClBLAEPHEINT
WET, WEDH/ — FE2EHTIE ZhEEBRNICTS ZEWTEET,

ETIN - FTry NEBESKE — NIZERLET,
WESN/ —K2XTVvr)v oL, [FEiT] 220y 20%F7,
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B -—h_fz —4»&5’

tree_credit.sav Tyne ,Creditrating
*

-’

-

& E=EE
*

= BEEE
f;v / Tahble
Cradit rating \ E]

Analysis

X 26. FEESHT/ — N O

SR E D, 2464 O L 3 — Rt 1899 i (77% #8) T. ET M L > TTFHIT N L EFED L ARV
AWM= U= W0 7,

[ Analysis of [Credit ratine] I:_[Eljﬁﬂ

ﬁ File | Edt

Analysis W

E-Reszults for output field Credit rating
B Companng FR-Credi rating with Credi rating

Correct 1899 77.07%
| VWWrong 565 2283%
Total 2 464

27. BV AR Y AL FHIV AR AD HEED 3 fEHE

ORI, A7) U ZINSL - RRETLOHEIZFEHINIEDEEUTH S &\ HRIZHIR
ANFET, EBEORNTIZ., T—EZXD/—R2MHLT, T—22Hl{H0Y > IrizndElL, FE8L0
i EITO M TEE T,

1 20T —RERY VTNV EETVOERIMHEL, HOT—XEXKSY T VEETLVOTAMIEHT S

ZEIZED, ETADNEDORES FMDTF—% - £y MZ—fEETEDIZ NPV TO LY EN-HEZ 25
B EMTEET,
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WS, — REMHHT 2L, BICEROBEER I P> TVWELI—RNIZHLUTETLVETANTEI LN
TEET, MOERETIE, EEOOPSRVWLI—RZ2AATV VI TEHODICETIVEED LS IMHHET
EPZOWTHHL T, HlAIE. RERTOBEETIERWA, BIEA — IV TRIAAZENL L 8B N4 DE
DB ENTEET,

Lad—RozRa7yYvy

BIOBET, EFILOBEZIMTE2-0DICETILVOHEIZMHHATI DAL LVaI—FK22a7 )7L
FL7x, 22T, EFILVOERICFHINE SO LIZRZALI—RDEyY "2 237 V745 HEIC
OWTHALET, MR 74—V REHEHUEZETIUEROBIIL, EREASP-oTVWEL I— REFHANR,
FEOPOEBRVEERIZDOWTTFRITEANRNER -V 2RETHILTY,

T S e ’ .
=) &) — @
tree_credit.sav Type Ao Targets
.“r
= Ed [
.m_ ; { )

Tahle

SeoringData.sav 'ﬁkgf
CHALD: \*
Credit rating O\

Analysis
X 28 Aa7 VYT HDHBIT — & D

Statistics 77 A NWVAN/ —RZ2FHLCHDOT—X - 774 NVEETEDIZT S0, F-FAa7Y 07
TE5T—REFHMACHUWAN/ —RZ2EIMTEET, EE5085TH, FiLLT—X - £y M,
WRT7 4= K HEHE] BZEENT, ET VLo THHEINAZDLHEUANTTZ 1 =V R (Fig, XAV
N, Y BEEFNTVWARERDD £T,

MozELUT, HHFEINEZ AN 74—V REZELAEBDA N —LIZETIV - F7y bEEINTEZ 2N
TEET, 74—V REALRATHETIVIZEI>THAZINEZEDEREUTHBED, 7714005 D5
AATHAIET —EAR—=AMEDFGHAAATHAI &, V—A - XA TIXEBRH O T A,

ETNV - F T RNERHOT7ANVEUTHRIFELZD, PMML 74 —~<v b2 KR—1F 52007 7
r—ya v T 572012 PMML 74 —<Xv hCTETILEZITZ AR—FIL77ZD, IBM SPSS
Collaboration and Deployment Services V) KY b Y —IZET L&KM LD TE XS, Tk, T
NEEHIIZERL T, 227V Vv IR EREZITS N TEET,

ETFOVAMKIE, FHENDE A VT IANT2F ¥ —I1ZBFERL, BIRRICEEREL 9,

FH

ZOHTIX, EFAVDOMEK, . BLORaAT) U ITOEERNBRAT Yy TEBALTVWET,

© EFVER — RiE R PSTVE L I— RERARTEFVEMEL., TFL - F7 v b ERIER
LET, ZNEFETVOEZHLIFENEZ DD ET,
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EFIN - F Ty NI VI—RODRAIATV VT EITIFEDT 4+ =V REELLEDA MY —LIZE
TEFET, BITERPD P> TWAL IR BEFEOFERY) 2 A7)0 735Z8I12&>T, D
NI F =V A%FAETE XTI,

ETNDNRT = VANFRTHD LR L6, LT —& WAARRE) OAIT ) V7 %47
>T, ZOVARKV A% FHTHILNTEET,
ETIVOFEEITHEIHHINEG T — XL, T — R F7ZI3EET — X LIREN2 558D 0 £
T, Tz, RATV VT TF=REFARL =Y aF - FT=REMMENDEZZEHD FT,
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B4 F JSBERKROBEETIVIERK

BEDL ARV ZADETIVER (BEIDEE)

HEIDH/ — R Tk, 7778 (REOBEBEVEBAEITITR 2 EEENE VWA E D 2, REEDREIC NG
TENEIPRE) F2I34EM (Y M) OFROIFIERET IV EHBINI/ERL THEETE £
T, ZofITIX, 7778 (TEW] £72E Twnzx ] ) OFEE2REL £3, HBEWHEMAZANY —L4
T, /—RIMEHETIN - Y b2ERBLO T VML, EOETIVEERL T, H—DHEFHHA
(TP TN ETMKEAGLET, ZOAEITHIEDOES S LEBMET VOGO S EMAG LY
2720, 2L DGAH, B—DETILVPOMETE2 L0 BEEINGVTFHIAELONET,

ZOHNE., FNTNOBEBIZE>T-EYRIEEZITHII LT, IHITIREOEWHER2ERITLII L 28EA
TWAZEDESHIZE IV TWET,

ZOAETE, HIEOR SRR £ T, M BT DR S T 3 RO HIC OV T,
T 57 1 — i (A0 #2BLTL R,

prm_custarmer_traind 5. Type Selact Stesponse
#

response Analysis
29. HBINBDOH > T - Z b ) — 4
ZOHITIE, Demo 7 ANKX—D streams (214 VAR —IVINTWVWBAMY —L pm_ binaryclassiﬁer str %

HHLUEYT, HHTET—X - 774Uk pm_customer_trainl.sav T3, FEMIIZDWTI
FilgsmL T Eaw,

BRET—4

7 7 AV pm_customer_trainl.sav 121k, BEDF ¥ UV R—V TOREDBERIZNT 2IREZEHT 58
JET—ZREENTEY, Tcampaign] 7 4 — IV ROETRINTVWET, AZHOL a— RN
Premium account ¥ ¥ Y R—VIZHEINTWVWET,

campaign 7 4 —)v FOEIZ, EBIZIE, T-XNTEEELTa—NMuahEd BIAIE 2 = Premium
account)y BTE OO P TVWHADZIERTE2DIMBHTEIINLE, ZhsDfEICH L TEREL X
ER

39



[E Table (31 fields, 21,927 records)
\ad Fle S Ect ¥ Generate
= " =
Tahle é!_'-a-ﬂl‘lc.'tﬁtiﬁnsl_l
customer_id |campaign |resp0nse |resp0nse_date |purchase |purchase_date |pr0dud_id |ROWid |
1 7 2 ] FrullF a Fruls Frullg 1 G
2 13 2 ] Frullf 0 Fruld Frull§ 2
= 15 2 0 FnullF a Fruls Fnull§ 3
4 16 2 1 2006-07-05 00:00:00 0 Frulls 183 7E1
5 23 2 ] Frulls 0 Frul® Frull§ 4
5] 24 2 ] Frullf 0 Fruld Frull§ 5
i 30 2 ] Frulls 0 Frul® Frull§ 5
5 30 3 ] Frullg a Fruls Frullg 7
g 33 2 ] Frulls 0 Frul® Frull§ g
10 42 3 ] Frullg a Fruls Frullg 9
11 42 2 0 Fral 0 Frulls FrallF 10
2 52 2 ] Frullg a Fruls Frullg 11
ksl =7 2 0 Fral 0 Frulls FrallF 12
14 B3 2 1 2006-07-14 00:00:00 0 Frull 183 1501
15 74 2 0 FralF 0 Frulls Fral§ 13
16 74 3 0 FrallE i} Frulls Fnull§ 14
il T3 2 0 Fralg 0 Frul FrlF 15
18 a2 2 0 FrallE i} Frulls Fnull§ 16
At 549 3 ] Frullg a Fruls Frullg 17
20 29 2 0 FrallE 0 Frull Frll§ 18 -
P . B

30. ARG OBGEIER BN 5 7 — &

o, 77 AT BERZITFANSNZNEDID (0= TWwR] (1= [ ) 2R response

T4—=IVREEENTVET, TNk, FHITEIHRT + —IV R (£7213ME) 1220 FT, FBEEIZONVT
DANOFEERE S OMBERZ2EUIETIEFR T — VB EEFNTVWET, ZhoZ2MHHL T, LA,
Fily, HZ L OHEGIER EDRMEICHEDWT, [HAZZIE N —=TDL AR ARE FIT 5 E T % HEE
(T¥#HE] ) THZLHTEET,

AR —LDREE

1. IBM SPSS Modeler > A h—)VEIE®D Demos 7 4 VX —IZd% 5 pm_customer_trainl.sav % & LR
9 Statistics 77 T IVAN/ —RZEMUET, (ZDT7ANVKX—%2BHTEa— by b LT,
7 7 A+ )NAIZ $CLEO_DEMOS/ 2 EETE £d, RRSINTWVWEHEED, NAZBNY I AT vy
ATRBESEBEDAT Yy azliflT 2 BENDH Y £9),
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) pm_customer_traint . sav

Import file:  [FCLEC_DEMOSiom_customer_traint sav m

vatishle names: @) Read names and labelz  ©) Read labels as names

Walues: @ Read data and labels ©) Read labels a3 data

Use field format information to determine storage

(o [caeel

X 31. T— X DIRARD

2. TR —REBMU., response ZXWHHKT 1+ — IV FEUTERL T (&EIEX TR ), ZDT+

—VROHlEE 7578 Z#&ELET,

b
| Field ___Measurement Welues | Missing | Check fRole |
{} customer _id ﬁ Continuous |[7116993] Mone & Mone e
{} campaign &) Momiral 1234 Mone b It
{} response | 8 Flag 140 Mane @ Target
E response_... ‘f Continuous [2006-04., .. Mone @ Mone
{} purchase ﬁ Continuous [01] Mane [ MHone
E_Ej purchaze_... ‘ﬁ Continuous [2006-04., .. Mone e Mone
{} product_id ﬁ Continuous [183,421] Mane [ MHone
¥ Rowid & Continuous [1,19599] Mone @ More L
P AP orticnons r0 oE1 hlana b |

@ Viewy currert fields @ Wiew unuzed field settings

(o] [caest

X 32. PFIEDORESL L OKREDOHE

3. 74 —J)VF customer_id, campaign. response_date. purchase, purchase_date, product_id, Rowid. ¥ &
O X random D&ENE (7L IZRELET, THo6D7 0 =L NiE, ETFIVORBERIZIZEH I L

£9,

4, F—RB ) — R T MEDFAAAR] RX V27D w7 LT, P VAR ZEINT WS Z & 21

mUET,
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ko, V-2 - TRk, BERIEEOEET TV b ENRE L, 4 DOELRSL Xy
VR—VIZHETAERMPEEINTVET, ZhoDF v oy R—Vid, T—RNTEKTa—FLEh
L8, REEDPRTTHI VN - B T20h0RTLTE5EDIZ, TNFNIITINLVEEHLE
ERS

| B Read Yalues | Clear Values | Clear All Values

 Field~ | Messuremert | Values | Missing | Check | Role

{} customer _id ﬁ Continuous [7,116933] Mone & Mone =

{} campaign ‘f) Momiral =Curr... & Mone N It
response 8 Flag =Reads= Mone @ Target

e response_... f(:orrtinuous =Read += Mane & Mone

{} purchase ﬁ Continuous =Pazse Mone & None

E_Ej purchasze_... ‘f Continuous Currerts Mone @ None

{} product_id ﬁ Continuous Specify Mone & None

{) Fiovic ‘f Continuous ; £ Mone @ None —

i Y AP Cortinuone 40 e [ b VT (%]

@ Viesy currert fields @I Wiew unuzed field settings

(o] [caest Leppt | coet

X 33. 74— ROEDOIEE

5. ¥y rR=v] Ta4—NFOTT, MHl JIOEHZZ Y Y 7 LY,
6. Ny FXxyy - YR MrS TRE] 2BRLET,
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Ed campaign Values

essuramert; Storege: 2 teger

Walues: @) Read from data @ Pass
® Specify values and labels

Madel Field...

Walues |Labels

h |Standard account
2 Premium accourt
3 Gald account

4 Platinum accaunt

[ Extend values trom data

Check valugs:

|:| Define blanks

Miszing values

! Fuall m White space

’ Range to:

Description: |

X 34. 74—V RED 5 RV DES

7. IS~ Fliz, TFyoR=V] T4—=I)LFD 4 DOEZTNZFNIIERINE IRV EANLE

ER
8. [OKJ #227Yv2ZUL%7,

INT, Y1 YRV, BETRBRS INNVEFRRTELLIITHD XL,
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[E Table (31 fields, 21,927 records) #3
lad Fle S Ect %) Generate
e =
| Table || Annatations |
customer_id |campaign |resp0nse |resp0nse_date purchase |purchase_date |pr0dud_id |I
1 T Premium account 0 Frullf u] Frullh Frulf i
2 13 Premium sccount |0 Frullg ] Frllh Frullg
i 15 Premium account 0 Frull§ ] Frullf Frull§
4 16 Premium scoount |1 2006-07-05 00:00:00 0 Frllh 183
5 23 Premium sccount |0 Frullg ] Frulls Frllg 1
B 24 Premium account |0 Fral§ 0 Frullf Fral§ 3
i 30 Premium sccount |0 Frll§ ] Frulls Frllg :
5] 30 Gold account 0 Frulf u] Frullh Frulf b
g 33 Premium sccount |0 Frll§ ] Frulls Frllg
10 42 Gold account 0 Frulf u] Frullh Frulf
11 42 Premium sccount |0 Frullg ] Frllh Frullg
12 52 Premium account 0 Frulf u] Frullh Frulf
ksl =7 Premium sccount |0 Frullg ] Frllh Frullg
14 B3 Premium account 1 2006-07-14 00:00:00 0 Frullf 183
15 74 Premium sccount |0 Frullg ] Frllh Frullg
16 74 Gold account 0 Frll§ ] Frulls Frllg
il T3 Premium account |0 Frullg 0 Frullh Frulg
18 a2 Premium sccount |0 Frll§ ] Frulls Frllg
19 59 Gold account 0 Frulf u] Frullh Frulf
20 29 Premium sccount |0 Frullg ] $rullf Frullg B
[ ——— E

X 35. 7 4 =)V R Z N)LDFHRR

9. T—=TN /) —FREFT—XB)—-NIZERELET,

10, ¥—=7) - /—=R#EBWT, THEfF] 22y 27 LFT,

1. W1 RoT, 74—V K IRVEETRVERR] V—IbN— - KXV %E27)Y 7L TIN
NEFRRUET,

12 TOKJ 227Vvy2UT, v+ FUZHLET,

T—=RIZE 4 DORBREZF Y UR—VIZETAIHERVEGENETHE, OME—EIZ 1 20F vy v _X—=21Z
EhLUTHVWET, &L <DL I =KX Premium 7272V b - F¥y UR=VIIHEHIND (T—X Tl
campaign = 2 23— REINTWD) 7=, &t —F2HEHALTINoDLa—FOADPRA MY —
LIZEENBLDITTEET,
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hade:

Condition:

Settings || Anntations

@ Inciude © Discard

campaign = 2

(o] (ol

s

36, B—F ¥ _R—rDL a— ROER

ETFILDER & LB
1. HEISEE) — F B LT,

ED

[BRDREE ] ZETIVDT v ZIFICHHAT S HEEEL UTENL £

2. IHHETVEL 2 3 TRELET, DFD, /—FEFEGTTLHLE 3 DOREETIVHERINE

ED
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u respupse | ﬁ
X B[R

Estitmated number of models to be executed: 9

Pt Mo | et Discrd | Setnge | Avlatiors.

Model name: @ auto @ Custom

@ Use partitioned data

@ Euwildd model for each split

Rank maodels by Overall accuracy X

Rank models using: Training parttion @ Test partition

Mumber of madels to use:

E Caleulate predictor importance

Profit Criteria (valid only for flag targets)

]

Costs: @) Fixed Wariahle ‘ -0
[=]

Revenue: @) Fied © variahle ‘ YE
[ ]

weight: @ Fixed E © variable ‘ ~

Litt Criteria (valid only for flag targets)

Percentile to use for litt calculation:

( ok J(B run ][ cancel |

X 37. HEIDME/ —FD [£5)0] &7

[TXFAN—F] XTT, K 11 DETFTIN - TALTY XLANSEIRTE F T,

3. THHIAHT) BEO ISVMI €TV - XA TOBRZMRLET, (CNHSDETNVEINLDT —X
DEFN & O WA B 728, IR R L CHIOR 2 &L £ 3, K22 TEhEban
Lif. BERUZEFICLTHLWVWTT),

[£5)0V] 7T HHETAVE] 2 3 IZHELTWSED, /J—RIFEOD 9 2OT7LITY) XL
DIBEZEEL, 3 DOBLEHLTILVIV AL ZELHE—DETIL - F7y N2MEL T,
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2 response &3
@ @ll=0)
Estitnated number of models to he executed: 9
Maodels used:
Uze? |Model type |Model parameters  |Mo of models
.

7] ‘?ﬁ s Default 1

[ L/ Logistic r... Defaut 1

m % Decision ... Default 1

m i::} Eavesian... Default 1

| b

*

[+ L8%  KNM &g, Default 1

] H

[« ,5‘{“ CER Tree Default 1

& A% QuestTr.. Defaut 1

QWIEST
7] AB cHAID Tree Defaul 1
CHAID -

Ij Restrict maximum time spent building & single model to 15 : minLtes
W Misclassification

X 38 HEINME/ —RD X 28—h] 87

4. TEE] RTT. 7YY Y ITNVAEIZODWT, [HEEE-EAMTEER] 28IRUET., Zhicky,
H—DHEHEAAITHEL I— NIERSI NG GIEXRED T,

BT, 3 DDETILDI S 2 25 NFEWw] & FHILZEGE. TEWw) 23 2 & 1 o=ERrT
BB £9, MEE-EAMNSHEHRTIE, £TFHOHEEMIZEINT, BERAPEANITINET, ZOD
720, 2 20 NIV OFHZMAEOLEZHIOIVEVIHEEET 1 2OETIVHN Wz &FHl
T35E. Wz 2R L ET,

o4 75 /MNSRO|EbE T VER 47



G response

]

Estimated number of models to be executed: 9

—Enzemble Settings

Flag Target

Enzemble method: |Confidence-weigrjrted wating =

If wioting iz tied, select value using:

@ Rancom selection © Highest confidence
Raww propenzity

[ oot eeet

X 39. HE R — K (#&El X7

5. %7 22Yv 27 L%x9,

Bk, EREINZETN - 77y bDBMERI N, FEEBN, BXOY 1 v RooAEEO T£50]) Ly
MIFEINET, ETNV - F7y b2 IFIFALGETSHE, BEZLIERTIZEDTEET,

ETN - FTy NEAESET, EFRICERINZEZETVOFEMAY A I NET, (KL T—X -
Yy FTHEHEDETAIMERIND Z LD LBEDRITIE, THUTIZAIIFHE 22D Db %
) [39 R=VDK 29 BIL T ZE W,

iz DETIVE X DFEMIESLEGE., TETV] JIOETN - FXry bOTA a2 T2 )y 2L, i
BWDOEFILOFRZ RIVLX YV LUTRBTALIENTEET, 226, EFIUER/ — R, 5L - F
Ty N ERIEEHMEIS T 7 EEKRT AN TEET, [F57] 5T, YAXx—VE2RXRTLVIVYIT 5
EL IV AL RADT T 7 EERTEET,
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response [X
P

]:,i File &) Generste dgiew

L

|M0d3|‘ Graph ISummary Seﬁlngsl Annotamns_;
—

Sort by: Crverall accuracy ()] Azcending @ Descending

[ )(, !Z)_elete_Unuse_d,Models‘_] Wiew: | Training set =

Bl Time flax fa Profit Owerall M. Fields Area nder
7 i =
s} Cleph RTEEE] (mins]) Profit Oocurs in (%) L RTel Sl Accuracy Used Curve

[ I g c51 =1 4 906 £E7 g 2203 92 861 10 Q77
= ¥

@ W CER Tree 1 3 4 602 692 9 2778 92365 g 0924
=

[+ ﬁ CHAID Tree 1 3 4,145 665 g 2851 91 706 4 0827
=

X 40. BB FEOKER

FTI7ANVMTIE, BEOE/  — RO [£F)] XRTTENLTWEEETH D, EEOKEEIZEINTY —
FENFET, C51 EFIVIFEZOEETIIRHEENTWVETH, C&R Tree. CHAID EFIILEFELE L S5 WIE
fETd,

FIORHBELEZ2) w2 UTCERZFHTY - TN TEET, HE5WE. V—ILX—0D [V — EHH]
Kay 7&oy - )RS HWOEEZEIRT 22 b TEET,

TIN5 DOFERITEDINT, 3 DOBRBIEMBRET VETRTHAT LS HELES., BRETLVOTFH
ZilAaHLELZ L&D, [l DETIVOHRIBEZ TS, 2EOHEENL D EH 2D T,

[MfifH?] 3T C51. C&R Tree, ¥ LU CHAID EFLVEZEINL X7,

ETV - FT Y bORIT, ESH L —F (T SLy b)) 2ERLET, MEST/ —FE2H270 Y
U, THEF] 22V 22 UTAM)—L2FETLET,

7yﬂy7w %?»fi&éh%%ﬁ%&X:TW\Mpmmmeawﬁ%%®74—»Ft§%ém
9, FET RN LU THET 254G, THIEIZERDIGE 6D response 7 4 — )b FIZEEHKSI T W
5%@)&9un%®ﬁwwﬁﬁf Wbiﬁo

ZDr—AD 3 DOEHMETFTNVDOHTHRHEDET IV (C51 D 92.86%) FEEMTH D AN, ZIF3IEE
WINE Wz, EHTE XS, MBI, FET-ZUANDOT—X -y MTER LSS, B85, TV
VTN BT OVIIENTZ N T — V/X%F?QK#&<&OTViTO
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c@ Analysis of [response] L=JLI;_I_|EW

lah File |5 Edit

-]
sralse | Amncaene

& colapse s | | o Expana 2 |

E-Results for output fisld response
=R Cqmparing F¥F-response with response

. | Correct 12,534  92.82%
| Wrong a70 TAS%
Total 13,504

X 41. 3 2O7 V¥ YT - EFILDHHT

2

T AL, HENDME — F2HEHALUTCIXIELETNEZHIRL, 3 DORDIEHELETILVEMHEL T,
FNET VYV I INEHBDEETIV - 77y PO A RNY —LAIZEMU £ L7,

o BROREEIZEDIWT, C51. C&R Tree., LU CHAID ETFADREET —ZIZBEWTHRD WOEEE
ZHUE U,

e ZDT7 VY VT EFNLOMEIZ. [HLXDETFTLNDI>LOREDET NV EIZIEREETHD., DT
—&X -y MUEALZSEEICINE ERIZER2HITHREMEL D0 £9, BELX o A2 HARA
LT 52 THIGEIE. ZOHFECE->T, IFLACDORBTRERETNVEZERT S Z &0
BEIC2 D, EED 1 DOETIVOFMEHESIED RIF 208Xk £T,
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35 B ERUNKROBEELET IVIERK

7O/ T 4 —E (BEEE)

HEEE , — R26H LU T, EEDREPBOIRMEDO FHIZ E, dA BUEEP) RO FIFnEeT
NEHBPIZER LU CHRT 2 Z e TcEdd, B—0D/ — KT, BHETILOEY b 2HES X O
L. EOEMROROZDIZET VDY Ty b2ERTLINTEET, 20/ —NIZHIDE — K
CEIUEDIZEELETA., 75 7B E A 3AHFMONE TR, ElugiodUTEEL £,

J =Rt REOBHETVEZR —OEHFEA (7T TIN) EFL - F 7y MIKELET, ZOHE
FHEBEORG E LEBET NV OMEEOR N EMALZLE LD, 2L DGE, B—DETLALSHET S
O BHEENEGSVTFHIVNEONE T,

ZOBNE, EEEERZ L TS 2 WEOHBKRICENEZ YN TTVEY, KOKMEEZ LIF5k0
@%@ﬁ%f‘ﬁ%\ﬁ%f\%@@@%ﬂ@%lk%o%‘fﬁ@ﬁﬁ%%@?é%Tw%%%bi?o

=8

B —@ —— R

property values_trai. Type 'o'taxable_\ralue
-
T
L
"
-
+ F
@ﬁi_____* \
taxahle_value Analysis

X 42. HEEEDOY Y T - A MY — 4

ZOfITIX, Demos 7 4NV E—®D streams 24 VAR —VINTWVWEARN) — L4
property_values_numericpredictor.str ZMHH L X9, HTHT—& - 7 7 1 )VIE property_values_train.sav
T9, dHflizOVWTIX, [5 XR=YD Demos 7 A VX —] EZHL TLZX W,

90):‘-‘-‘12_.]

F—& « T 7 AL taxable value 2 \N5 7 4 =)V RDBEEINTH Y, Tk, FHITAIHR 7+ —L K
FIIMETT, TOMD 7 1+ =)V NiZiE, kB BEYO X1 7, ENORBREDEERVEETH, FHlE L
THEHAINZGERH D T,

71— K% 7 )l

property_id BEpE ID

neighborhood HARDOTY Y

building_type #Eoxr 17

year_built AT

volume_interior BEHNORFE

volume_other AL —=U8 LT DM EY DA
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T4 =R 7 )b
lot_size gy kP xX
taxable_value AR R AR

property_values_score.sav E\NDAIAT VYT« FT—X + T74)LH Demos 7 ANKX—IZEHEENTVE
T ZHNITIEFFAL 74 —IVEDBREENTWE A, taxable_value 7 + —)V R IZH D FH A, BTG
WRIPo>TVWET—X -y h2FHUTETVEFEE LR, JOEFEESIPSRVWLa—FE22a7

V752 eNTEET,

VA NUESYN)Y: =

1. IBM SPSS Modeler « ¥ A b —)VERBED Demos 7 * VX —IZd % property_values_train.sav % & LR
3 Statistics 77 T NVAN/ —REBEMUET, (ZOT7ANVX—%22RTHVa— by LT, 7
7 A - 7SI $CLEO_DEMOS/ Z#EETE X J, ZRINTWVWDHEH D, NAZR@INYIATy¥aT
BaKERDOAT Yy Va2 MHT2HBERH D £7),

O property_values_train.sav

)

(¥ provion] [ 2] retresn

FCLEC DEMOCS oroperty _values_train.say

i e ) (e ——
Fiter Types  Annotations

Import file;  [FCLEC_DEMOSiroperty_values_train say

Walues: @ Read data and labels

ok [carcal

varighle names: (@ Read names and labelz  (© Read labels as names

Read labels a3 data

E Usze field format information to determine storage

Lepot [ ooe

43. T =R DHAED

2. TR —RNZEMU., taxable_value %% 7 + =)L N & UGERL £3 (%ENX T4 ), o
v TAD (FPREUTHERINSGZ L E2RT) ITHREL T,

RTDT 14—V KOEEIT
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| Fied | Messwement | vl

{3 property_id ¢ Continuous [221418] |

@ neighborhood &g Mominal \Blogment.... |

@ building_type &,} Mamiral "2-ondef-... | B
Pyear_puit P Cortinuous Maro190]
{3 volume_inte... ¢ Continuous ERE I
{} wolume_other ﬁ Continuous . [0488] .
{3 lot_size ¢ Continuous [551310]
{3 tavable_value ¢ Continuous [40000,55... *

alues __:'[_ fdissing :__

Check | Role
Mane _\ gLt
Mone _\ Inpt
Mane _\ It
Mone _\ Inpt
Mane _\ ImpLt
Mone _\ Inpt
Mane _\ Input
Mone @ Target

@ Viewr currert fields  © Wiew unused field settings

(ot (o)

44, R T 14—V FDERE

3. HEEE — N2k L T,

4. THHETIVEU % 3 ITRELET,

‘a_o

TFEBE) 2 ET VDT YIRS 2 HEEEREE U TERL X9,

DFD, J—NEEGFTDHE 3 DORMEET VAMERSI N E

[id taxable_value

X
A (m)

: I Estimated number of models to he executed: 7
i | oo | e

Madel name: @ auto © custom
[¥] Use partitioned data
Build model for each split

Carrelation X

@ Training partition

Rank models by

@ Test partition

Rank models using,
Mumber of models to use:

Calculate predictor importance

Do not keep models if:

.
[T Correlation is less than 0.5
F.
] Mumber of fields is greater than 106
.

|:| Relative errar is greater than

ooty || Eoset
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5. [ZFANR—=1] XRTT, FIHANVIEBEEZTOITFICLET, /— K. &3 7 2OEFILIZDOWV
T, TVIVZALZEIT 1 DOETIVEHELET, (£, ZNODOFEEZLHELT, KFETIN - X
A TOEBDON) T N eHBETA2ZETEET),

TE5F)L] 27T MEHETLE 2 3 IZBELTWAED, /J—FiZ 7 20713 XLOKRE
EHEL, 3 DOBBIEMRET VIV AL 2EG0H—DETIL - F7y b2EEL T,

Ed taxable_value

|
‘ Estimated number of models to be executed: 7
e
hodels used:
Uze? |Mode| type Model parameter s Mo of models
[ E Regression  Default 1 =
@ % Generalized ... Defaut 1
B “t
I *\q{\ SvM Detaut 1
i ﬁszg CA&R Tree Detautt 1
[+ if?ﬁ}- CHAID Tree  Default 1
CHATD
i ﬁ Meursl Met  Defautt 1 =
|:| Restrict maximum time spert building a single model to 15 : minutes
| Stopp
o J (B ) [ cancal

X 46. HEEE — RD X 28—~ ] &7

6. [BEI XTT, TIANDPEREZZTOEFIZLET, ZNWRERMENEKETHZHD, TV T
AATVREETINVDAAT 2T Ik o TEKRINET,

54 IBM SPSS Modeler 18.1.1 77U —a v 44 K



ﬂ taxable_value

@._

Estimated number of models to he executed: &

Enzemble Settings

The enzemble scores for & continuous target will be generated by averaging.

m Calculste standard error

47. BEEAE ) — KD T3El X7

ETFILDLLER
1. TZEf7) AXv2272Vv 2 UL%7,

ETI - Ty MBERE . RN, BEO Y v NYOA EMO TE€7)V] ALy MIEEINET,
Ty b EIEIEBHETSH, RFELBERTZ AT,

TP - FTY FEREE ST, EARCERSNAEEETVOMMMNY X M EnET, (KEELTF—X -
Yy N TS DEFADBHEE S NBEEORITIE. NI S 2922 2 L2H 0 7).

DN ESIRLUTLEZI N,

iz DEF VA2 EOEFMICELES., TV JOEFLV - F Xy bOTA v 28T V2 ) w7 L,
MOETILVOMEZ RV LYY LU TEBTE2I 2R TEET, FI056, EFMMEKR/ — K, EFI - F

Tw b, FREEHES T T ERERT I ENTEET,
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-
taxable_value
. i: File %"f) Generate ¢ Wiewn T
Model ‘ Graph  Summery Seffings  Annctatians
Sort by Correlation = O Azcending @ Descending ] ] [ x Delete Unuzed Models ] “iews | Training set =
Uze? Graph Madel Bu."d e Carrekation © LB Relative Errar
[mins) Used
[+ =1 0915 7 0162
[+ =1 04 5 n.1a
[+ e CHAID Tree 1 =1 0892 5 0.204

48. HENEMEDKER

T ANBNTIE, EFIVITHEBEE ) — NTEIRUZEETH S, HBEICESWTY - ENhZET, 77
Doz, HEOHMEAMEHAINE T, 1 IEWMEIEEBAREGREZRL £, —MBEEE T IVIX
ZOHRETIIRBENTVE T, MOV D2DETILE, FZIFAUL SWVWIEMTY, —#biiie T
IZH, BARHNERAELR DD 9,

FIORHBELEZZ) w2 UTCERRLHTY - TAHZENTEET, HEZWE, V—ILA—0D [V — NEHH]
VAN HROIIEZERT 2 TEET,

K757 TIE. ETFTLVDTHUEICNT2BEEDO 70y s RERI N, TS ORI OB HE IR
RENFT, BEFRETILOEGE., R4V MEIHARIZH->TEZVET, ZhE. ZOHDOTRTDOET
WMIZYTIEEDD T,

(757 BT, $LARx—NVE2XTNIVYITdE, IV XDT I TERERTEET,

INSDFERIZEDNWT, 3 DOBRDEMERET LV EZITRTHEHTEEICHEELET, #HRET VO T
EAGLESLZZIZLD, H4DETIVORHIRZEETE, 2EKROKBENLDEL< AR ET,

(2] FIT, 3 DT ARTDETIADEIRINT VWS Z L ZHERL 7,

EFII - FT Y FOBIZ, BEM /=K (THJ) Sby b)) 28ELET, BESMK/ —R2H27) Y
U, FEF] 22V I U0 TCAMN)—LEZFEFLET,

TUY YT FTFIDER UL E N AT TIE, $XR-taxable_value ¥ \N> 7 4 —)V KIZEMX N
9, MHEEIE 0922 T, 3 DDMAMETVOMBEL D EELS RKoTVWET, £/, TV IV - 237
IRV EY 2 2R L, O TF—X - 2y MCEHINZGE, [H2DETLDOENEID T+ —<
VAR B REMEND D £ T,
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I§_| Analysis of [taxahle_‘ira lue]

i File |5 Edt

‘ Analysis il' Annotations

| & colapse i | | o Expan i |

E-Results far autput field taxable_value

E--Cqmparing FxR-taxable_value with taxable_valus

i | Minimum Error -156049 854
{ | Maximum Error 176856 403
¢ | Mean Error 0014
.| Mean Absolute Error 21353 524
Standard Deviation 30815.028
Linear Correlation 0522
Occurrences 1138

X 49. HEIBMEDOY > T - A MY —LA

21

T 2L, BEBE — F2HHLCIEIERETIVEZLKRL, 3 DO EMFERETIVEBERL T,
TNET VY VT INZEEFEMEET IV - 77y NHOA MY —2ITEMU £ U7,

o BEDREEIZEDOWT, —biEL, [, CHAID EFVIEFEEF—XIZPWVWTRbBWHEREZ L

F L7,

o TUV VTN ETIADNRT F = VRAFEETILOMD 2 DOEMET VL RIFTHD, fioF—
Ry MZEHAUZSEICISIIBWA T+ —< VA2 RTAEENEAH O £, HEAX oL A2 &H
KIBEHENELT 222 THIGEIE. ZOHFEICE>T, FLACORE{TRELRET NVE2ESTSLZ
EMAREIZAR D, [EED 1 DOETNVOFMERERIIEY T2 08B ET,
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%5 6 = HHT—9%(% (ADP)

DT CTT =X 2HfFT B LE,. T—X - A=V - 7V MIBWTHRHEELZFIED 1

DTTN, MERIIFBFEMO» L FIEHD 1 DTHdH Y £ L7, HET — X¥Efi (ADP) / — KTk, 7
— Xk, BEEEOFHI, MEDH L F /IR WA REEDE W T 4« =V RDRAZ ) —= v 7 BE
U772 L WEEOIRE, SERAZ ) —=V JFREEMHL AT 4 =< VY ADM EREDR A7 %2 H
BB 3, SR CHELINZAET/ - REFHL, /- FCREEZERSLCHEHTE X

T, T2, BB UT, BHEHOERFNICEE2 L Pa—L, TOEEZKRIZIIESTEXT,

ADP J —RZ&{FHT L&, BRI a v 7 b 2HiCHRE LRy, RELODBRIZTFT—X - <
A=V TRHILT— X2 HETEET, TIANVINDERET/ —R2EFLEGE. ETLVDOERBLU A
TV RZRLAFSZENRTEET,

Z DOHITIX. ADP_basic_demo.str 2\ AN —ALEMHALFT, TN telcosav EWDT—X - 774
NWEZBLT, ETMERFIZT 74V bD ADP / — NREZMH LU CEHTEAHEEDM LE2FHL
9, ZNH5DT7 7%, IBM SPSS Modeler 1 > A b —)ViEABREED Demos T4 L2 bV —IZHb
9, ZOT 4 L7 MY —IZiE, Windows ® [AX—1] A=2—@ IBM SPSS Modeler 712" J L -
TN—=TNoT 78 ATEEXT, ADP_basic_demo.str 7 7 1 VI, streams T4 L7 M) —HNIZHH £7,

AN —LDREEE
1. ANV —L%KESET 521, IBM SPSS Modeler 1 >V A b —I)VERIED Demos T4 L 27 b)) —1ZdH B
telco.sav =48 U"9 Statistics 77 T IV AN/ — RZBILU £,

e

B — (&) — (o)

telco.say Type Mo ADP - chiiin
*

>

VA

Mo ADP - churh Mo ADP - LogRen

v _"0‘

After ADP - churn After ADP - LogRen

X 50. AV — DR

2. F—XRB ) —KEAN/—FRIZEHEL, churn 74—V ROHEORE R (7578 z#&e L. &
OIS ICBRELET, FOMDT 4 —L ROLEIE, $RT TAN] ICBELET,
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| walues | Wissing | check | Rae
i BRI (G LTI [ERENN] (NIN=) = NpLL
@ loglong ‘f Continuous [-0.10536 ... Mone \ It
&2 logtol & Continuous [1.74819... Mone It
@ logecui ‘f Continuous [2.73436... Mone \ It
@IDgcard ﬁCDrrtinuous [1 81180.. Mone \ Iruporst
@Iogwire ftorftinuous [270136.. Mone \ It
2 Ininc & Continuous [219722.. Mone It
& custeat @5 Mominal 10,203 Mane M Input
@ churn 8 Flag 1.00.0 Mone @ Target

@ Viewy currert fields  © Wiew unused field settings

aE= (o) (o

51. NRDER

3. OVRAT4wvY ) —FRETFT—XB)—-RNIZERLET,
4. OVAF4 w7 - ) —RTIEFIN] XT%22)Vv oL, ZHRX] 7oy —Yvy—%ERUET,
[ETNV%] 74—V RT, [HAXL] ZFRUL, TADP 2L - @K1 EANLET,

0 e ot

Model name:  (©) Auto @ Custom |N0 ADP - churn

Use partitioned data
|8 Build maodel for each spit

Procecure: (2 Muttinamisl @) Einomisl

rBinomisl Procedure
Method:  |Enter e

Categorical Inputs:

Field Marme | Contrast Eaze Category

IE Include constant in equation

[ (b L) L] Lo

X 52. €TV - AT a vDER

60 IBM SPSS Modeler 18.1.1 7 7V —>a>¥ HA K



5. ADP /—R%F—&8 ) — Nz LET, THHR) X7ET 74V NOREDETFIZL, HELKHE

EOMGDNT VARFHELT, T—RE2oWBLOHEML £,
6. THW RTDEEHT, [F=2O0H 22V v 7T, T—X&20hBIONIEL 7,

ADP / —FOMDOA T a 2T s L, HMEILLVESZEI D, LWHOREZIZEIVES ZES

PEBELEZD, 20T —XME[HTO L ADFIHEZ WAL L0 THILNTEET,

£4 Auto Data Prep
@ ‘ @Qenerate (Eiew

l Ohjectives

Automsted Deta Preparation can recommend data preparation steps that will speed up model building and improve predictive power. This can include transforming,
conzstructing and selecting features. The target can alzo be transformed.

What is your objective?
@ Balance speed and accuracy
Transform the data with an emphasis on building models with & balance of speed and accuracy.
©) Optimize for speed
Transtorm the data with an emphasiz on building models as guickly as possible.
© Optimize for accuracy
Tranztorm the data with an emphasis on building models with the grestest predictive power .
@ Custom analysis

Choose this option ta fine tune the algorithm on the Settings tak.

(ot (coren)

X 53. ADP OF 7 # )V s DHW

T — RIEEDFERD [58) R TIRREINFET, TWHELAZT7 0 =V ROER] 1Zik, ADP /— K
WCHDAENT 41 hDT—&X - 74 —=F v —D> 5, 19 P EHRIN T X, 3 M50

BINTHHINTWEWI EAREINTVWET,

% 6 = HE)T — XY (ADP)
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7 Auto Data Prep

@ | @generate :fgiew

TE A L

Field Processing Summary

Fields
Target 1
Predictors Y
Total 18
Original fields 19
(untransformed)
Predictors recommended Transformations of 19
for use in analysis original fields
Derived from dates 0
and times
Constructed 0
Predictors not used 3

Wiewy:  |Field Processing Summary ¥ ERE§§

Predictors Recommended for Use in Analysis
Predictive Power

Target: churn

tenure _&
transformed
Egquipment__g
rental

Internetat
Ioglong__f

transformed
Electronic_2
biuing_'é

Calling card_i-"
SEervice

Level of_
education

age @
transformed :l

employ _&
transformed

Customer__z

category

T T I
0. o 04 0.6 08 1.0

Least Important Most Important

o
b

(Lo [comeel]

Wiew:  |Predictive Power ™

54, F— R ALFRD TR

7. UVAFa4wr /) —K% ADP /J — NIZ#ER L7,

8. WYART 4w -/ —FRTIETN] 27%22Vv oL, [ZHR] 7oy —Yvy—2RRLUET,

[EFV4] 74 —NVRT, [HAXL] ZBRL.
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w tdadel

S dnyze el

rBinamial Procedure

Model name:  © Auto @ Custom
@ Use partitioned data
@ Euildd model for each split

Procedure: @ Multinormisl

|Aﬂer ADP - churn

@ Binomial

Method:  |Enter =

Categoarical Inputs:

Field Narme

|Corrtrasi

Baze Category

Include constant in equation

55. ETI - AT a v oER

ETFILDRBEDHLE
1. MADPHRIATF A v T« J—FREFEHFLT, EFI)N - FXY " E2EKRLET, EFI - F7 Y I, A

M) —LABLOEHEEBOETIL - Sy MZBINENnE9,

6 = HEIT — X¥fii (ADP)
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y Famm N o~
} — (\ji) —
b

N Ny

telco.say Type Mo ADP - chiin
*

After ADF - churn
56. ®ET I - FT Y SO

2. KESH /) —REZETN - F 7y MZERL, T74VFORERMHL THEDT / — F2EITLE
ED

\ [~ |
Y &Y

Mo ADF - churn Mo ADP - LogRed

i |
— |
Y 4 Y
After ADP - churn After ADP - LogReqg
57. WEDNT ) — N D

3 ADP IRAEETNVOANTIE, BV AT v Z0llg /) — NE2MHHLUTT 74V MRETT — X EEITT
Lo, ETNVOREMES S (LT H 10.6%) ZE2Ba10 ET,
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Analyziz

E-Results for output field churn
E- Cqmparing FL-churn with churn

. | Correct | 106 106%
- Wrong | 894 §94%
Total 1,000

o)

58. 3k ADP JRAEE TN DFER

ADP JREETIVDDHTIE, T7A4)V DD ADP HETT —R2FE[F 35 L., EA0ITEWVHEED
(78.8% MIELVY) ETVMPERINE Z DD £,

%6 = HETF— XU (ADP) 65



[ After ADP - LogReg M= x|

o File | Ecit

Analysis iL Annatations _l

& colpss i | | B Expand |

E-Results far output field churn
El-Comparing $L-churn with churn

i |Correct 7E3 7EE%
- \Wrong M2 2%
Total 1,000

59. ADP IRAEE TILDHER

T HE, ADP / — REEGTUTT — X OMUBEZHERE ST 2720 T, BLAYERT —X28FT52
L, KVIEMBRETVEMFRT I ENTE XL,

35 TR E QBLER DL £ 72 X SGEICBIOD D 258, £RIBREDETVEFERT 2581, ETIV&
ERxEBERELEZAPIVWEESH D £, 2720, KPR WEE. 3% HT 2T - 2&1E0WE5E
&, ADP / — FZRHT 2 MMl enHD £,

IBM SPSS Modeler T X5 € T IV/ERK HIEDOE AR ROz OWTIX, 1Y A=V T+
A 27D ¥Documentation T4 L2 v ) —IZH B [IBM SPSS Modeler 7TV XL - 1 K] 2L TL
7230,

ZORHIDOFERIFZEE T —XDOAIIEDL ZLIZFEELTLEET W, ETADREROEFROMD T —XIZEN
72D EL I NB02FMT2121E, T—XXKS/ —RZ2MFALT, TANBLXUOKRIEOHKTL O
—RDoY Ty bEMEFLET,
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B7E IMAOT—YDEE (T —F1RA)

F— XA/ — N, IBM SPSS Modeler IZEX DAL T — X 2 £ TIEHIFIZMET 220D FE2 AL
F9, TAMEVFR— NI, T - X BERRBICHBIHHAIN, £T7—X - 74—V KDL AN T A
ROMBNTINA T, B EZFRR L, FKEMHE, AUE, BIOCBEONUE2IBETEE T,

Z DT, telcosav WD T—X - T 7 A NEBIBT S telco_dataaudit.str L\WVD A M) —LEEHL F
T, INS5DT 71V, IBM SPSS Modeler ¥ > A b — )VIFAEREED Demos T4 L 27 b —iZdH v %
T, ZOT 1 L7 MY —IZiE Windows ® [AX—1] A=2—0 IBM SPSS Modeler 712 5 L +
N—=TD6T 7 ATEET, telco_dataaudit.str 7 74 VIE, streams T4 L7 M) —HIZH D £,

AN —LDREEE
1. ANV —L%KESET 5121, IBM SPSS Modeler 1 > A b —IVERIED Demos T4 L 27 b)) —1ZdH D
telco.sav =48 U"9 Statistics 77 T IV AN/ — RZBIUL £,

-a>

B) —» () —— | El

telco.say / Type 42 Fields

9 =l oy
—_— X — @@

Missing value Imputa.. (generated)\ Anomaly

E

churn

=]

B 60. A bV —ADRES

2. T—RB)—REEMULTT =NV REZEREL, churn ZXHR7 41— )V R UTHEEL £3 (#%#iX
(X4 )y TNDME—DHRT 4 =V RIZRE LD, OTRTDOT 14—V ROZEEZ [AT] 12
FRELET,
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Figld - | Measurement | Walues | Miszing | Check I Role
S BRI @ ey T 1 HUTE R T
@ loglong ‘f Continuous [-0.10536... Mone b It
& lngtol & Continuous [ 74914, . Mone M Input
@ logecui ‘f Continuous [2.73436... Mone \ It
(ﬁ}logcard ﬁCDrrtinuous [1 01460 Mone N Iruporst
@Iogwire ftorftinuous [2.70136... Mone \ It
& Inin & Continuous [219722... Mone M Input
{} custoat ‘f; Mamiral 1234 Mone \ It
{} churn 8 Flag 140 Mone @ Target  |=

@ Viewr currert fields  © Wiew unused field settings

(o) (coes)

61. NRDBE

[ooot (et

3. 74— )IVROHAEDRENHETIZERINTVWAZ L A2HERLET, Ml o L1 2HD2IF
EAEDT A=V RIZT7S7MMERERTIENTEETH, MR EDRED 74—V RIZ, 2 2D
HE2FEOZBEM 7 + —)VRDO AL D IEREICGREEINE T,

| ciear vaiues | ciear Al vaies

Field - I Measurement | Values | Mi==ing [ check | Fole
{Fed ol Orclinal 12345 | Mone Nwonput &
{} employ ‘f Continuous [0.47] Mone “ It
'@} retire ‘E} Mamirial 0010 Mone “ It
{} gender &) Momiral 01 Mone “ It
3 reside ol Oreinal 12345, Mone W Input
{)tollfree 8 Flag 110 Mone “ It
{}equip 8 Flag 140 Mone “ Irupoust
{}callcard 8 Flag 140 Mone “w Irupoust 5]
<3 wirlrss 2 Flan 140 Mnine N Ineust Fus]

@ view current fields  © View unuszed field zeftings

[on [caree]

X 62. HIEDREDHE

by b BBLUZME (0/1 2 E) 2828807 1 — L RizLTcr7ans s —2ZHT 5120,

M) O~y X—=%27 0y 7 L TEDHTT =N RK%EZY—bL, Shift F—2HFHL T, 2HEHTS
T4 =)V RETRTERLET, 20K, ER#EPFEEZE27Y v 27 LT, BRUEZTRTOZ7 1 —LFOD
HEDREE - IFMOBEEZEET LI LATEET,
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4. FToRME/ —FEA MY —LICHBL T,

[FRE] ZRTTIE, TIZANVIERERFZTOEFIZLTC,

FTRTCDT 4 —IVRELR—MIEDET, churn 1ZT7—F8 ) — R TCEHZINTWVWBHE—DRHR T «

— IV RRDT, A—N—L AL THBMFHEINET,

42 Fields

[

Seings | austy O Arvtstens.

@ Defautt @) Use custom figkds

Fields:
Orverlay: vé |
Display

{ [ Graphs Biasic statistics [ asdvanced statistics
Calculste median and mode (may slow performance on large datasets)

M 63. T—RBE/ —FD [FE] 27

MREfEfRds ) 2 7T, RIEME. SA0E. B XOBEORED T 7 4 )L b

71 220y 27 LET,

RERETDEEIZLTHBE,

¥ 7 B ONAOT — XD (T — 2 RE)

M
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342 Fetts
|

—hizsing Value

Calculate:

@ Count of records with walid values

@ Breakdowen counts of records with invalid values

rCutliers & Extreme Value:
Detection Method:
@ standard deviation from mean
Cutliers: Extremes: E
@ Intercuartile ranges from upperdower quartiles
Outliers: 125 : Extremes: 30 :

Mote; Selecting Intergquartile range may slov performance on large datasets

(o) (B run) )=

64. T—XARAE — RO [REMEKRE] 27

Wty > 70508
[F— &) 75 9F—BERIN, 71—V RILEHLAX—L - 75 7R BRI NET,
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Data Audit of [42 fields]

| File | Edt £ Generate

I il il
audkt | qualty | Annotations |

Field [ Graph Measurement Min M= Mean . St Dew Skewness Unicjue “alid

=
<3 region M &5 Narinsl 1 3 5 - - 3 1000 i
{}tenure m ﬁCominuous 1 72 35526 21360 o112 - 1000
<3 age wmﬂm%d & Cartinuaus 18 77 41 584 12559 0357 - 1000
<3 martal D_u & Flag 0 1 N . " 2 1000
{} address _ h ﬁ Cortinuous 0 55 11.551 10087 1406 -- 1000

<& income & Cortinuous a000 1668000 77535 107044 £643 = 1000

[

Vndicates a multimode result  ® Indicates a sampled result

65. T—RRET T VY —

VoW N=ZMHLTT7 4 =V REED T NNV EFR U, 77 7DAEGDEZKEDPSREIZYDERX X
T (AT ITV=HIT 1 =L RDEHEDR),

L V=N =F7E ] A=a—2HLT, RRIHMET2EINTHILHTEET,

Displa)ir Statistics

Jo

| statistic I
Min

M

Sum

Range

Mean

Mean Std. Err.
Standard deviation
Yariance
Skewness
Skewwness Std. Err.
Kurtosis

Kurtosiz Std. Err.
Unicje:

“alicl

66. FEEFDFR

1 = =

EHELVR—PNDYLRX=I - TI3T7%XTNIVY I LT, IV A X - N=VarvDrsTI77%2KRUE
T, churn ZFA NV —LHNOHE—DHRT 4 — VR THE-H, A—"—L 1 LUTHBRIZFEHINE
T, 7 7%ISIINARIARTBHITE, 777 - T4 KDY= N=%FHLTT7 1 =)L KPED
FRVDRREYOREZ DD, HEWIE HEE—F] Rxrvz220vy 27 L0%9,

7 E SRHOT— 20l (F—2kE) 71



ledFile | = Edt  §) Gererate  of View

B

churn

Ono
Wves

tenure

(o)

X 67. (FERIMDOE R NI S5 A

HHENWE, 1 DU EOY LA X—ILEZERLTCENFNDTTT7 - J—RE2EKTLHZZ s TCEET, £k
N —RiEA M) —A#ESICEBES N, A M) —AIZEBMUTEED S 72 ERTE X,

lad File | Edt &) Generste

ol B I 0
i W Missing Yalues Superhlode

Cutlier & Extreme Superhlods

_Fie_lu hdir -| M -| Mean [Std.Dev Skewness-| Unique-| Walicl

Mizzing Yalues Fiter Mode =]

Q region Mizzing Yalues Select Mode 1 3 2= 25 A% 3 1000

Reclassify Mode

Einning Mode

3 terure 1 72 35526 21 360 0112 e 1000

Derive Mode

Graph Cutput
3 age Graph Node 18 ki 41 554 12559 0357 o 1000
<3 marital ._l & Flag 0 1 o o " 2 1000
{} address ii f Continuous o 25 11591 10087 1.106 - 1000
& income | & Cortinuous Q000 1658.000 77535 107044 6543 = 1000

=]

1Indicates a multimode result 2 Indicates a sampled result

X 68. 757 - ) — RKDHERK

ANES & U RIBEDUNIE
BEL K= O UREERE] 271, SE, B, 5 & ORI BT SR R L 2T
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@] Data Audit of [42 fields]
i File | Edt ¥ Generste
Complete fields (%) Complete records ().
 Field Measurement Outliers | Extremes It Action Impute Missing Method

{} region % Mominl - - - Mewver Fied o

{}tenure f Continuous o 0 Mone Mever Fixed

{} age f Continuaus o 0 Mone Mever Fixed

{} marital 8 Flag - - Mever Fixed

{} address f Continuaus 12 0 Mone Mever Fixed

@ income f Continuaus 9 & Mone Mever Fixed

{} ed ,{I Ordinal - - Mever Fixed

{} employ f Continuous g 0 Mone Mever Fixed

@ retire &) Maminal - - Mever Fixed

(} gender &’3 Morminal - - Mever Fixed

{} reside ,{I Ordinal - - Mever Fixed

{}tollfree 8 Flag - -l Mewver Fixed

{} Euip 8 Flag - - Mever Fixed

{} callcard 8 Flag - - Mever Fixed

{} wireless 8 Flag - - Mever Fixed

@ longmaon f Continuaus 18 4 Mane Mever Fixed

@tollmon f Continuaus 9 1 Mone Mever Fixed

@ Egquipmon & Continuous 2 0 Mone Mever Fixed | |
cardmaon & Continuous 11_ 3 Mone [Mever Fixed | ll

= = ¥

B 69. T—RMRET I VY —0 [REMEKRE] 27

INSOEOMM GEEIEE L, A==/ —FZ24KL T,

ZuEHEMIEHATAZ b TEET, M

ZIE 1 DU ED 74—V RZER LD, C&RT 7NVIT) ALREDI EFXEnEE2FHLTINS
D74 —I)LRDORBEIZRATAZZESHZ - 0T5Z0”TEET,

[ElData Audit of [42 fields] #2
KB Ee  [SEdt ¥ cenerste

Complete figlds (%) Complete records (%)

_ Field Measurement ._ Cutliers . Extremes | Action | Impute Missing Method . ]
{} redion &1_) Morminal - - - [Mever Fixed =
{}tenure f Continuous o 0 Mone Mever Fixed

age f Continuaus o 0 Mone Mever Fixed
3 marital & Flag = oE Blank & Mull values  [Fixed -
Q address f Continuous 12 0 kone ever Fixed
@ income f Continuous 9 B Mone Mever Random
{ped ol ordinal s ool Mesver Expression...
{} employ Continuous g 0 Maone Mever Algarithm
@ retire &1_) Mominal - - Mever Specify... %
{} gender &1_) Morminal - - - Mever TRERT
3 reside ol orcinal 2 |- Never Fixed
{}tollfree 8 Flag - - Mever Fixed
{} Euip 8 Flag - - - Mever Fixed
{} callcard 8 Flag - - Mever Fixed
{} wireless 8 Flag - - Mever Fixed
longman f Continuous 18 4 Mone Mewver Fixed
@tollmon f Continuaus 9 1 Mone Mever Fixed
Equipmon f Continuous 2 0 Maone Mever Fixed
cardman f Cortinuous 11 3 Mone Mever Fixed l;
. . [r

70. FRAGEDIER

1 D2BED7 4 =)V FIZRARZIRE L 72, REEA—N"—/7 = F2EETLHIZE, A=a—05L0FD

EOITHEIRL £ 9,

¥ 7 B ONHAOT — XD (T — 2 RE)

73



Mkl > [REMEA—/—/7—F]

[@ Data Audit of [42 fields] #2
WEe  [SEi O eenese | O
@[ Qualty 1 Missing Yalues Superhlode
Cutlier & Extreme Superhlode

Eompleterickdtic. s Mizzing “alues Fiter Made 1
_ Fiedd [ Licsnoieies e ectiione Etremes | Action | imputeMissing | Method
{} region & Reclazsify Node -l Mever Fixed S
{} tenure Binnig blods 0 Mone Mever Fixed

age = ! 0 Mone Mever Fixed
{} marital % Derive Node - Elank & hull Yalues Fixed X
(} .address Graph Dutput 0 Mone Mever F?xed
@ income = & Mone Mever Fixed
ed gl Graphbode - - Mever Fixed
{} employ T COMinuUouE =] 0 Mone Mewer Fixed
@ retire &7) Mominal - - Mever Fixed
{} gender &7) [Morminal - - - Mever Fixed
{} reside ,{I Ordinal - - Mever Fixed
{}tollfree 8 Flag - - Mever Fixed

Euip 8 Flag - - - Mever Fixed
{} callcard 8 Flag - - Mever Fixed
{} wireless 8 Flag - - Mever Fixed
@ longman f Continuous 18 4 Mone Mever Fixed
@tollmon f Continuous 9 1 Mone Mever Fixed
@ equipmon & Continuous 2 0 Mone Mever Fixed

cardman f Cortinuous 11 3 Mone Mever Fixed |7

. [r

X 71. A—s8— ) — RO

BRI NI A== = FEA MY — AfBIZENE N, TITEDA—NN—/ = F&2A M) —AITHH L
TEMEBEMTEET,

®@—® @

telco.sav Type 42 Fields
—® —@
Missing Value Imputa.. {generated) Anomaly
B
churn

72. RIMHEA ==/ = RIZLBA Y — LA

A==/ — FiZi&, EBE ERINALBHZ2RTTL-HD /) —FREENTVET, INAREDLSIT
WRET 2 2 BIfR S 5121d. A==/ —N&fHEEL. [R—LA1V] 22y I LET,
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From Stream equipmaon Model loglong Model

schele N

= = &
Sarsl g —+-> K>
e e _" “ —*/ _.‘
Fill equipman Fill loglong Filter termp To Stream

73. A= —) = RTDRX—LAV

BIZIE, ZOT7NVTY ALEEFHLUTRAINZET 4 =L RIZH L, 2Z2HEE® Nul 2 E€ET)LVTY
MAN-HLBEESHZ &) — K512, JMO C&RT EFTADH D ET, A—/—/ — FHDEE
D/ — REEM, WHE. HAEINVFIHIRLT, B2 I S5ITHARYA RATEET,

BN, FH ) - NERFE 7V Z— - J—FEERLUT, REMHEZ2EL 7 -V FELELVI—F

ZHIBRCEET, HIXIE BELZLULEWVERBOMENSA—t Ly T—YDTRTODT 1 —=ILRET 1 ILEY
vrTE T,

Generate Filter from Quality
mode: @ inciude O Exclude

©) selected fields

@ Fields with guality percentage higher than % E

X 74 74 NVR— - ) — KD

ARIVIE & RBAE IR E U HIE T T E £9, 74—V R EICEFTT2EE (BE. BHE. E#HbonwTh
) EEL, A==/ —FEER L2 EHL T,

87 E SRHOT—20Mf (F—2E) 75



f =1
Data Audit of [42 fields] #4 =o/ed
lgd File |5 Edt ) Generate . = E’J@
@ Qual'rty! A Missing Yalues Superhlode
Cutlier & Extreme Superhlode %
Eompleterielbice s Mizzing “alues Fiter Made !
_____ Field [ e Btremes || Action | impute Missing | Method
G region & - - Mewver Fied £
{} tenure 0 Mone Mever Fixed
{} age 0 Mone Mever Fixed
{} marital % - Mever Fixed
Q address - 0|Coerce T |Blank & Mull Yal... Fixed
3 income S 6 Mane Mever Fixed
{} ed g - Mever Fixed
{} employ T COMinuous =] 0 Mone Mewer Fixed
@ retire &,\ Morminal - - - Mever Fixed
{} gender &) Morminal - - - Mever Fixed
{} reside ,{I Ordinal - - Mever Fixed
{}tollfree 8 Flag - -l Mewver Fixed
{} Euip 8 Flag - - - Mever Fixed
{} callcard 8 Flag - - Mever Fixed
{} wireless 8 Flag - - Mever Fixed
@ longmaon f Continuous 18 4 Mone Mever Fixed
@}tollmon f Continuous 9 1 Mone Mever Fixed
@ equipmon & Continuous 2 0 Mone Mever Fixed
@ cardman f Continuous 11 3 Mone Mever Fixed
@ wwireman f Continuous g 1 Mone Mever Fixed
@ longten f Continuous 20 4 Mone Mever Fixed
Q}tolnen f Continuous 18 2 Mone Mever Fixed
@ equipten f Continuous 16 3 Mone Mever Fixed
@ carcten y Continuous 11 & Mone Mever Fixed
@ wireten f Continuous 22 3 Mone Mever Fixed | |
mutline E _3 Fla g - | Mever Fixe ¥ |:

X 75, 74 VR — - ) — RDHER

BfEm U, ElEIniz/ —FEA M) —LITEBMULES, o cE£d, KEISC T, REHE
B, 74—V RBEIR, $23 20O FIERAEEMALTT— 22T 0B TE X7,

.—*-‘: — &

telco.sav Type 42 Fields

= N
{'-
—_—T ¥ o .
w—@® @
Missing Value Imputa.. {generated) Anomaly
Hivi
churn

X 76. RIBEA—IS—) —FRIZLBA Y —LA
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B8 E EmICLBAE AERYJ S 7/C5.0)

ZIZ Tk, BEMEEVPMEHT — R 2B 2856%F2ATAELED, EEPRAUERZFFOEED S
LW—FIZONWTTF—XEMNEL E L, BEBRIIBWT, TNENOEEITL 5 MEOELD S bDWT
NP THRNDY F U7z, TI T, SBAUCKERBZRDEHIZEOEMPIRADLE, T—R -1 =VF
EHEALTCRELTVWEET,

ZDHITIE. druglearn.str £ WD ZHATDOA M) —LZMEHALET, TOA MY —ATIE DRUGIn £\W5 4
BIDT—% - 774 VS LET, THoD7 71)IE, IBM SPSS Modeler - > A b — LI AEREED
Demos T4 L2 MY —IZdH b ET, ZDFT1 L2 bY—iTiE, Windows D [AX—h] X=a2—® IBM
SPSS Modeler 70275 L« 0V —TIp67 22 ATE £, druglearn.str 7 7 1 Vi streams 7+ L2 bk
V—iZdhbh £T,

FTECTHEHTET—X - 74— FiZ, ROELBHTT,

F—=R T4 =R i

Kis (BuiH)

il M E£7-& F

I MiJ£: HIGH, NORMAL, ¥7-i% LOW

IV ATu—)UH A3 L A5\ —)b: NORMAL % 7zi% HIGH
F MUY LfE MEFDF M) U LRE

AV T LE MEF DAY 7 LIEE

IR B IZSIRL D > 72 H 3

TXAKN - T—9DFEHEY

Mol

var. File

L —"
[QM@LE%%@

@0 @

'\\-l-:b:,"
Database  War File

| 2 Faworites

pA
h |

Auto Data Frep =1

M
77. (IEET 71 - J — RDEH

77



AAERE774)L - /J—=RE2HHLUTCRKYONZTFAN - T—R2HAMB N TEET, JEET7 71
Ve J =Ry bhroBMTEEd, VR X722V LTID/)—KE2HETH, ZD/—K
MTIAIVENTEENTVS TBRITAD] R7%2FALET, RIZ, FILWELZ/ —RE2XTILIY
w2 LUT, TOXRAT7AY - Ry 72 A%FE £,

(774 Ry 72 ADEAEMIZH 5, BE/RS () ODWEZRX %221 v 2 LT, IBM SPSS Modeler
WA VAN =NVENTWEYATLEDT AL M) —%2BMBUET, [Demos] T4 L7 b)) —%F&E,
DRUGIn &\WS 77 A I)VEERL £7,

[T7 4NV T 4=V RLEHE] WERINTVWEZ EE2ERL. XA 787 - Ry ZAZHEAAEN
7274 =)V RBLCHEZHRL 7,

‘.'ar. File

FCLED_DEMOSIDRUGTn

= 1

-
|
{

= =
T e—

File:  [BCLEO_PEMOSIDRUGR Q

Age, Sex BP,Cholesterol  Na, K, Drug
23,F,HIGH, HIGH,D0.792535,0. 031258, drug¥
47,M,LOW,HIGH,0.739309,0. 056468, drugC
47 M,LOW, HIGH,0.637269,0. 068544, drugC

[A1 [F]

@ Read field names from file D Specify number of fields 1

Skip header characters: na ECL comment characters: I:I

Strip lead and trail spaces: @ Mone Lett Right Both

Invalid characters: ® Discard ©) Replace with

Encoding: Stream defaut ™ Decimal symbal: |Stream defautt ™
Delimiters Lines to scan for type: 50 =
D Space E Comma D Tab |§1 Automatically recognize detes and times:
E Mewvline D Cther —Cuctes
D Mon-prirting characters Single gquates: Discard 2 |

D Allowy multiple blank delimiters Double guotes:

X 78 [AZEEZ77A4)0N] BA478a7 - KRy A
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FCLEO_DEMOS/IDRUGTn

rie o e e ot —

I Figld — Civerride || Storage | Input Format
A Il ¥ Integer i
Sex [ __@-St’r'ing-
BP ] |A] string
Cholesteral [ A Sirin J _
Ma | 2 [Unknower)
K ] @ String
Drug ] {} Integer %
{{‘} Real
@ Time
BH Date
E Timestamp

@) wiew current fields @ wiew unused field settings

(o) (conee)

79. 74 —J)VLRDA ML=V - A TOEE

| Figld — || Measurement || Yalues || Mizzing ii Check || Raole |
{}_ Age ﬁ Continuous [1574] | Mone _\ InpLt
[A] sex @ Flag MF | Mane ™ Input
[Aler @ Namiral HIGH,LCMY, .. | Mone ™ Input
[A] Cholesterol  § Flag. NORMALHI.. (Ot = IMone ™ Input
3 Na & continuous [0.5001690... [on % Mane M Input
&K ¢ Cortinuous [oo200220.. | o L\\b hone ™ Input
@.Drug &Nominal (drugd drug. | Specify Mone M InpLt

@ wiew currert fields  © Wiew unused field zettings

80. T&x4 7] x7Td M) 7> arDiER
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D {} OvenYCr &f) Morminal Single category too large
D {} oty &) Mominal Single category too large
[ {} ovencvd &) Morminal Single category too large
[F {} oyncod &) Mominal Single category too large
il @ Inwvireten f Cortinuous Too many missing values
il @ Inwyirem... f Continuous Too many missing values
] & ineouin... 4 Cortinuous Coefficient of variation below threshald

X 104 ZHECERETN - F7y b [£F)] X7

EFHONRZMIZIE, FTHRHIZER M E N7 0 =L RBRERRENTET, 26D 74— )L NIFEHE
BIZHEDOWT T VIS TwET, FEHOAARIIZIE, I E>oTAZ ) —=v T I N7«
— IV RE, TOHENREINET, EHORRINVIIHE T+ —IVFZRIELT, ZOHDODETY Vv
Ty va TS5 74—V RERETLIENTEET,

6. ZTNT, FRTHHETEZ 74—V REZBRNTEDLSIZHRDF L, AKIE 34 OT7 1 — )V RDPEE
R7 4=V REUTHMEINTVELUED, Flllity b2 I S5ITRVIAGHELH D £7,

7. HEHEOINZF v T - x—T&MHITT, EAL 10 OTFHAEDAZ RN L, AL T HIEZ IR L
¥9, 11 FHOFzv Y - ~—2% 27V v 7L, Shift F—%2#LAMNS5 34 [THOF v - v —
I IV ILET, VETINV - FTr v NEBHAUET,

8. T4 —ILFREIRZUCHREZ KT 312X, 2 20O CHAID EFIWERK/ — FZ2 A MY — A28
LHENRHDET, ~ATIE 74—V NEREZMBEHL, 5 - ATIREHALEEA,

9. 1 20 CHAID /—R%2F—XB ) —RNIZHEHL, ©5 1 DEEHERET LV - F7 v MTHERL
9,

H9®E FMIA—ILRDRAZ Y == (74— RER) 95



10. 4% CHAID /—K#BE. kAT av] 272ERUT, THW] 120 THHEETILVOE
Bl . THE—Y ) —OfE] | [AYXI5377147 vy va vl © 3 DO 7Y a vhuEiR
INTWBZ 2R LET,

[HAR] RA VT, RV —EE] W5 IRESINTWAZ L 2HERALET,

. =
With All Fields
A (70 (m?

(—— || ‘:.’ :

Fislds || Build Options | Model Options | Anctationss |

|Ohjective What do you want to do?

Basics @ Build new maodel L) Continue training existing model

Stopping Rules What is your main ohjective?

oSS @ Build & single tree
Enzembles Single Tree
Advanced fdocle: Generate model @ Launch interactive session

[T use tree directives

Enhance model accuracy (hoosting)
Enhance model stakility (bagging)

Create a model for very large datasets (requires Server)

rDescription

Crestes a single, standard model to explain relationships betwween fields. Standard
models are easier to interpret and can be faster to score than boosted, bagyed, or
large datazet ensembles.

[ K ][b Run][ Cance_l]

X 105. $RTOFH T + =)V RIZfHifH$T25 CHAID €57 WER ./ —FD THRN] &€

ETILDIEE

1. =X -y NOITRTOFHHEZMHT S CHAID / — K (F—&8 ) — NIz Lz H) 2547
ULET, TOB. ETICH»REICERLEYT., MRV« VY NV T—TURRRINET,

2. Aza—5, WVV—] > [VY—%2KE] 2#RL, BRELAZYYV —2BEIETERLET,
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“¥ Interactive Tree of CHAID #6
G rle [SEdt & view Tree  §) Generste | @ LE-@
e ]L%}‘_“E@l %mmﬂﬁ!
=
eh ED e BEE @q HmME HSEF B @
Fs
response_01
Mode 0 '
Category % n |
|| 0.000 91 640 4582 E
(1000 8360 MB |
| Total 100.000 5000 E
"""""" =
OWNRE
Adj. P-value=0.000, Chi-square=57.452, d=1
[41 ——— [
l ¥, B | o8| W 2 | A CHAID Model: Training Dt

106. V) — - EAX—TOYV ) —DFE

3. Iz, 10 MO FRED A% MHHT 2 ZF0ftiddo CHAID / — RIZW LU CRIUFIEZFEFLEST, VY
— A=V S, AU VY —2RESEET,

2 FHDETMIE, 1 FHOET VLD R TEITINAZIET T, 20T =X - £y MEIPRDNE
WOT, ETRHEOEZER»D UNEEAD, EBROT—X - £y MEbo 2 REWD, Z0EITHS
ORI L B IR B AR D D £, 74 — IV NEREZEHAT 5 & WHFRHZ KIBICEHET 22 &
MTEET,

72, 2 HFHOV I —F 1 FHOYV Y —IZHART, YU — - /= FHDHTY, TOLOHMELPT A4
STWEY, 27U, 2 HEHOFGKEZERHT HH1IZ, ZNPRMDPE S, TN TOFHMEZHH T
LETNE DB HEE R T 2BENH Y X7,

HBRDOLEE
2 DOFERZIRT 5121, $IROWWELBETT, ZullE, YV —--EILX—=0D (X1 v X7 %FH
LS, 2ZTYZ7h2HRET, 2, T—&X -y hOITRTOLI—RE2HBLAEZSESE. /— KA
DEDL A= RKBHR AT TV —IZDEI NSRRI D EWRZRUET, #xI1E. V7 MED 148%
DGE, T—X -2y PNOTRTHOLI—REDE, /J—FRHNDOLI—RDOHIINR AT I — 128X
NATBEMED 148 fEEWI 2 RLETS, VNI 51V RTD T4 VFv oA FlTRENET,
1. TRTCOFPEANEZRTY ) — - EAXR—T, X1 27%22)v 2 L%, WEHhTFIT)—] %
10 ICEBHELET, [0 Y—IN— - REXVERIZZY v 2 LT, Erz2USMIZY O EZ E
T, RIZ. TOXRXVOAEMO Ray X7y - VAP S, T4 phf] #FRLUE T,

$9®m FMI4—NVRDRZY ==V T (71— RER) 97



2. 10 OFHUEIZHLTY Y — - AKX —TZOFEHEZHEDRET L, (ROKDEHIZ 2 DOFELU XS %7
AV - T—=TNRERRIN, KETEDEL51ZHRDET,

i "? Interactive Tree of CHAID

| \aFie |t @ view Tee ) Generste | () [Em
Vjewer Ga'ns RLsks matlon&

T
B Target category 1.0 ¥ %

Target variable: response_01  Target category: 1.0

Training

Modes Percentile Percertile: n Gain: n |Gain %) |Resp0nse %) |Index %) |

44,2943 5 42 38,53 45 49,33 25.00 1250.00 231.00 5529 15.49 22117 -

33,56,21,22 62,5941 4051,... 50.00 2500.00 355.00 5.54 14.30 171.09

54,47 32,55,558,19,46 7500 37a0.00 407.00 a7.45 10.86 129.94

46,2352 60,37 50,3935 ,57,... 100.00 S000.00 415.00 100.00 5.36 100.00 =

Kl [¥]
“& Inte

) Generste @ @ !._..Ez

|;,F|Ie |5 Edt { :

[vewer | care | s

PE— TR
Guartie ~ [ ,E Gains it Target categary 1.0 ¥ %

Target variable: response_01  Target category: 1.0

Training

Modes Percentile Percertile: n Gain: n | Gain (%) Responze (%) | Incles (%) |
18,23,15.12 25.00 12:50.00 203.00 45.45 16.20 19351 o
1226107 50.00 2500.00 305.00 73.57 12.30 14714

77,1120 75.00 F7a0.00 385.00 9214 1027 12286

20,24 16,1925 100.00 5000.00 415.00 100.00 5.36 100.00 =
41 ]

107. 2 2® CHAID EF)VD A4 Y - F¥—h

ETAY - T—=7VE, 2OV ) —DR—=IF) - )= FENUFAMIZIV—TILTVET, 2 DOET L
DEMEZ T 2121, £#T =T VDR EAMAMDO Y 7~ (12 Ty 72 ff) Z#HNET,

TRTOFHAMER G END L E X, ETIVIE 221% DV 7 hZ2RLTWET, 2Fh, ZhoD/ — KD
Hf & Hr o r — 203, ﬁ%@ﬁ%ﬁﬁﬁﬁﬁﬁbfZZ%&ET%@%%%%Vt@bﬂiﬁo;ﬂb®
W ONBZ2HRT DI, REMNDITEZ2) 2 U CTEIRLET, RIZ. [Va—7—] 27X
5k\%pLMéTé/—F#%@%EfﬁmbﬂfﬁréﬂiT HHARRINTVWEER—=IF) -/
—NETYV =% P, FHEPED XIS IZHEINTWE0EMRL £3, EAPUSALZITT 10
J—=FPEEFNTVWET, EBORAITV VT - EFTIVIIE#BT L L, 10 FOBEETO 7 714 VOEMIT
Nz 722 0 29,

74—V NERIZ X o TEHAI I Nz BAL 10 OFHEUEZ I AEENSE &, VT MEK 194% 12720 £7,

ZDETIVIE, TRTCOFHEZEATIETIVIZEENTVWS LIXEZAFEAN, EHTH S Z L IKME
WhHhFEHA, TIZTIE, EMUSHAIZEEFNS = RIE 4 DT ROT, IOk s, L
Do T, BEEIRETNVOAD, TRTCOFHEZELETIVLIDBLEEF LV TE £,

98 IBM SPSS Modeler 1811 7 7V —>a>¥ HA K



e

ZROEROF R 2R L TAEL £ 5, T2 FRMEA DL WVIZEEKIAMIRY £, 20, IUE,
WEE, ETIVIZEET BT — X3P m <z £, SHREMPEHINE T, ZofITId, ZEERO FIE
BHEATIZHED S, ETVEERFIEBD LG PRIEIZEHS 2D £ LR, EEOT—% - £y MZ
THILKREL RS0, HifJTE DM KRIGIZIER 2 DIFMHE» T,

AT FHIERDZWEE, 2a7 ) 73y 7Mcmzp £9, FIhRT &5, IR EEENIC XG
UZESHRBEEDTO 7 740V 4 DFETHENL T, FHEEOBN LB L, ETNTA—N=T 1V
T4 VIWRETERNEDHDET, YUTIABRETLDFPMOT—X -y MZRLTED S < —f%
{ETHAEEMELD D ET (FZ7ZLABDED, TANTABEDRD D 7).,

VY= EETNVTY XL EZFEHLUT T ¢ — )V NEREEZTS L, b EEARTHIMEEZ YV —Ti#lBlTcE 5
X512 x4, EBIZ, CHAID 7V ) AARZOHRDEDIZHHINEZ 2%, 1 LRILTD
W) —2REIETYY —OREELEHEE2 I b — LT B3I HAEETT, 727U, 71— RER
— ROADPUHEEL, FNABEETT, IXRTCOFHfEEZ 1 ATy TTERI I VI L, mbE
74—V RERBIZHNTEDESCLET, £/, GO TVHEORZ2LEEF T b TEET, L
A7 10 oKDY I, BAL 15 EFE 721 20 HOFHEZMEHL T OHlZBEFETL, &Rz LKL T,
BHETIVEZRET S Z L HBHRIZTEET,

$9®E PRI —VRDODRZY ==V T (714 =)L RER) 99
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810 B AHNT—IXFINORE DEME (F—5 9/ — R)

ANT—IXFHNDORE DIEHE (915)

QO VAT 4w ZEBETN, BLO 2 HO VAT v 7EBETLEZECHBOHEET VOGS, X
FHIT 4 = RIIK 8 WFICHIRINE T, XFHIN 8 XFEMBAEGE. T— X298/ — N&2FHAL
THI—NMLTRZeNTEET,

ZOFITIE. drug_long name £ \N5 T —X « 77 A NVESHT D reclassify_strings.str £\VD A M) — L%
FHLET, ZHhoD7 7 1)liE, IBM SPSS Modeler o ¥ A — VFABREED Demos 71 L2 hJ—
ZHDET, ZOT 4L 2 FY—IZiE Windows @ [ZX—}] X =2—® IBM SPSS Modeler 7172
Fh - IN—=TMoT 7R ATEET, reclassify_strings.str 7 7 A VI, streams T4 L 27 b U —NIZH Y
9,

ZOFITIE, AN —LDNI R —RIEREZYT, RIELI2XFHTERINDG I L RHIEHOT T —
ZRU, T—X08 — FZ2MHHUTXFHOFEMEZ T ANONEEIIZIAEETT 5 HiE2HHLET,
@Wfizﬁnyx%f/&@%/—F%@%biﬁﬁ HE) 5 ﬁ/—b%ﬁ%bfzﬁu/zr4/7
FAEETFLVEER LGS ICEEHINE T,

F—4 DHEE

1. BRI 7ANVAI ) — REMHALT, Demos 7 # VX —DFT—X £y b drug long name \Z#i L
7,

L — L

Tie Cholesterol_lang

e -0-»
ol SO (O Vs
Cholesterol Filter Type Chalesterol
B 108. 2 THO Y AT 4 v 7RO X FH S EERTH Y TN - A Y — L4

2. T—&H)—REAS/ —FITEMLUT, 5L LT Cholesterol_long % ERL £,
QYA 4y ZEk/ —N&2T7—&8) — NITEMU £,

4 BYAFav Il —RT €TV 27%2 2y 2oL, [ZHA] 7oy —Uy 28R &
ED
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i)

——
Types | Format | Amnotations

|
&

. b Read Yalues Clear Yalues Clear Al Yalues

Field Measurement Walues Miszing Check Role
{:} Aoe f Cortinuous [12,74] Mone \ Input
@ Sex 8 Flag iF Mone N Input
A EP @5 Mominal HIGH LO... Mone N Input
& Na & Continuous [0.500517 .. Mane N Input
@K & Cortinuaus [0.020152... Mane N Input
@ Drrug éb Mominal drug dru. . Mone N Input
@ Chaleaterdl... 8 Flag "Mormal le. . Mone @ Tarvet

@ Viewr currert fields  © Wiew unuzed field settings

109. TCholesterol_longl 7 « —)v K DE\N T3 DOFEM

5. reclassify_strings.str TR Y AT 1 v ZalfE/ — F %2 %479 % &, Cholesterol_long X FHIMEANRT &
BTl EEETEHIT— - Ay E—UNRKRINET,

ZDRAATDLT— - Ay —IUNRKRINLHEE, ZOHTRAELTWEFEIHIIK>T, T—&%
BHELUET,

Message

@ Stream execution started

9 Field "Cholesterol_long' has value 'High level of cholesterol' that i= too long.
Q Field "Cholesteral_long' has value 'Mormal level of cholesteral' that is too lang.
@ Stream execution complete, Elapsed=0.39 sec, CPU=0.02 sec

& Execition was interrupted

110. 2 HOR Y AT 4 v 7/ — REITRHICRRINZL T — - Ay -V

TR/ —NET—X8 ) — NIZEMNMUET,
T—XD3¥7 1+ —)V KT, [Cholesterol long] %#ERL ET,
Fl 7+ = R4 2 LT [Cholesterol] & ANLZET,
[ENfg] R&x %21 v 27 LT, [Cholesterol_long] fE%COMEFIZEML ET,
10. FrLWEDFIT, ELRXLVDOIVATH—)V] OTLOEDEEIZ HE] E AL, TEFEL)LDa
VATu—)b] QOO TER] EADLUET,

v X N
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Setinge | et

hdoche:

Reclassify field:

@ single © Muttiple

Reclazsify into; @) Mewy field © Existing field

Mew figld name:

|Ch-:|esterc-l

Reclasszify values:

S S S

| Criginal walue —

|| ey walue

High lewvel af chaolesterol

Mormal level of cholesteral

High

T
Mormal

)

For unspecified values use:

@ Qrigingl valus (©) Detault value

unclet

111. EWXFH DT — R 5358

11. 74NV Z—-

12. 740 &—] ¥T,

J—RETF—XNHE/— RIZEML T,
[Cholesterol_long| %2V v 2 UTHIRL £7,

%10 | ANT =X XFHOESOEHE (T— X9/ — 1K)

103



EdFitter &
2] 7= [

Fields: 8 in, 1 filtered, 0 renamed, 7 out

[ Iz Fitter = Field
Agge | — A

Sex | —_— Sex

BF - EP

Ma | i Ma

K | — K

Drruig | — Drrug
Chaolesteral_long | S Cholesteral_long
Chalesteral — Chalesteral

@ view current fisidz @ View unuzed field settings

(o) (came)

112. 7 =X 5D [Cholesterol_long] 7 4+ =)V RDT7 4 VX)) v

13. T—XM)—=FK%2T74)VX— - —=RIEMLT, K& LT [Cholesterol] %ERL T,

!._“_.__Field _=[.."”Mln§§_suremer¢ _=[ alues | Mizzing .:[__ Check | ~ Rale
{} Age y Continuous C sr4] Mone _\ Inpt
E Sex | 8 Flag | M | Mone \ Input
[a] BF @ Namirial HGHLO... | More ™ Input
& Ma ¢ Continuous [0.500517.... rane ™ Input
Bk ¢ Cortinuous (0020152, More ™ Input
[AlDrug @5 Nominal druga, dru... Mane _\ It
@ Cholesterol 8 Flag MormalHigh Mone @ Target

@ Viewr currert fields  © Wiew unused field zeftings

(o] [caest

X 113. [Cholesteroll 7 1 —J)V KD \\XFF) DA

4. OVATv o - ) —=REF—=X8 ) —RNIEMLU T,

15. aYRAFq4wv o -/ —=RTIEF)IV] 2T 27Vv oL, [ZHEHA] 7oy—Yy—2R#RKLET,

16. ZIZTH 2HBEYAT 4w - J—FRZETL, TI— - AvE—IUDNKRINEILBRETNV
BERTAHILENTEET,
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-,

[Ed Cholesterol

Model name: @ Auto © Custom
@ Use partitioned data
@ Build model for each split

Procedure: @ Muttinomial @ Binomial

rBinomial Procecdure

Categoarical Inputs:

Field Mame |C0r|tra31 Baze Categary | :

@ Include constant in equation

o) (B run | {_coree]

X 114. FHEEL LToIHRNOER

ZOHNEA DY =L D—HDOAZRLTVWET, EVWXFEHDTFT—RPHEPBBEIZRDEZENHBEANY —

LDRA TOFHMNZOWTIE, IROPIZBIBL T I,

o HEINME/ — R, FEIZOWTIE, [39 R=V 0D [FED L AR ZADE T IVIER (HEIDFE)) & 2]
LTL7ZEW,

e 2BV AT 4w ZEIIF — R, FEHIZDOWTIE,
o 2T 4 v 7)) JesRUTLEE W,

141 R—V0 1§ 13 & & aobls AL O (]

IBM SPSS Modeler O GEDFM (2—HF—X - HA R, /=R -V I77Lb VA TILVIYVXL - H
A R%2E) 1, AV AN=) - T4 ATD ¥Documentation 74 L2 ) =25 ZRHWZ1TE T,

%10 B ANTF—ZXFHOESOEN (F-2 08/ —F) 105
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B 11 E BEERSDODETIVER (F¥Yay YR

Ta4vYary - VAL TIVIVXLE, GExonsz 2 6 (NEw) F2 Twnx ] ) OfRO LD &
W, EFREFEVEVWEEEZRTIHAZEKLET, T Vay - URAMNDETIVIE, I—L - VR —
X =TT 4T TN —a ViR ORNARARY— - VL= a vy T - v x VAV MNTIRIEL FH
INTVWET,

ZoflE, TNETNOBEIZE > LB RIREZITI LT, SBOY =TT 407 - FYrR=UTIH
I DE VKR ZEH T L2 2UATWAREDLHIZEOIVWTWE T, BEAMIZZofTIR, T+ ¥
Vary YA ETNEMHLT, DETORGREREIZHED S RN KIS Z RS /] aeMEs VB
DR EHBINL, TORIZEIDVWTA=Y VT - VAMEERLET,

FT4vVay VAN - ETFTNVERIZA VRS IT 47 - EFTIUERIZELTED, ETFTNLVHDIINT A—X
—ZHBEUCT CICAERZMRTAZ N TEET, HEMIZIFIERETIVEER L THEREZ T V7
T2 eNTERHOTEE LT, HEFDHE —FE2RbVIHEHTIZ N TEET,

-@>

=) —» o — . e

pm_customer_traint s.. / \ Selec\ .response[ﬂ

B 4 f_*.ﬁ

Tahle campaign respunse[ﬂ (1) Tahle

X 115. T4¥YVay - YAMDH YT - A Y —L4

ZOFITIE. T—& - 7 74 pm_customer_trainl.sav % ZHT DA MY — L pm_decisionlist.str % {FH L
9, INH5DT 7 AL IBM SPSS Modeler - ¥ A b —)LIEABEED Demos 74 L2~ —I1ZH b
9, ZOT 4L 2 MY —IZiE, Windows ® [AX—1] A=2—@ IBM SPSS Modeler 712" J L -
TN—=T5T 7 ATE XY, pm_decisionlist.str 7 7 A VL, streams T4 L 27 bV —HIZHD £7,

BET—%

7 7 AV pm_customer_trainl.sav 121, BEDF ¥ U X—V TOREDBERIIN T IREZ BT 2 /E
JET—RZNBEENTEY., lTeampaign) 74—V RKOETRINTVWET, HAZHOL I—
Premium account ¥ ¥ ¥V R—VIIHEINTWET,
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Table (31 fields. 21,927 records) =Jo&d
I Fle S Edt  ¥) Generste | (i3 i g
e =
! Tahle ' Annotations
customer_id |campaign |resp0nse |resp0nse_date purchase |purchase_date |pr0dud_id |I
1 T Premium account 0 Frulf ] Frullh Frulf =
2 13 Premium sccount |0 Frullf ] Frllh Frllf
S 15 Premium account |0 Frull§ ] Frullf Frll§
4 16 Premium sccount |1 2006-07-05 00:00:00 0 Frllh 183
5 23 Premium sccount |0 Frull§ ] Frulls Frllg 1
B 24 Premium account |0 Fral§ 0 FrullF Fral§ 3
i 30 Premium sccount |0 Frullg ] Frulls Frullg :
5] 30 Gold card 0 Frulf ] Frullf Frulf b
g 33 Premium sccount |0 Frullg ] Frulls Frullg
10 42 Gold card 0 Frulf ] Frullf Frulf
11 42 Premium sccount |0 Frullf ] Frllh Frllf
12 52 Premium account 0 Frulf ] Frullf Frulf
ks =7 Premium sccount |0 Frullf ] Frllh Frllf
14 B3 Premium account 1 2006-07-14 00:00:00 0 Frullf 183
15 74 Premium sccount |0 Frullg ] Frllh Frullg
16 74 Gold card 0 Frullg ] Frulls Frullg
il T3 Premium account |0 Frullg 0 Frullg Frulg
18 a2 Premium sccount |0 Frullg ] Frulls Frullg
19 {aiz] Gold card 0 Frulf ] Frullf Frulf
20 29 Premium sccount |0 Frllg ] $rullf Frllg ~ |
[P E

116. BART D HFEHETR BB S 5 7 — &

lcampaign] 7 « —)U FOfEIX, EBIZIZ, T—XANTREHRLLTa—FIh, 728/ - FTEH
INZIT DTSN TWET WBIIRIK. 2 = Premium account), Y — NV AN—%FHLT, 7—7ILAD
7 RVDOERREYIOEZD I ENTEET,

D7 74N, EHEDTES 7714 v 7BIUOMBERREEL 71—V RBEENTED, ZhE(H
FALUT, BEDRBIZEDOWTIXIERIIN—TONEREZ FHIT2ETIVEERE T 8] §562
EMTEET,

YA NUESYNY:

1. IBM SPSS Modeler « ¥ A b —)VERBED [Demos] 7 4 )\VX—IZd& % pm_customer_trainl.sav % /R’9
Statistics 7 7 1)V - /—RZBIMLUET, (ZO7ANVX—%22@TS a—b Ay belLT, 774
JU + JSZUZ $CLEO_DEMOS/ %#fRETEZ X7, )
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) pm_customer_traint . sav

FCLEC _DEMCShm_customer_traind sav

Import file:  [FCLEC_DEMOSiom_customer_traint sav Q

vatishle names: @) Read names and labelz  ©) Read labels as names

Walues: @ Read data and labels ©) Read labels a3 data

Use field format information to determine storage

(o [caeel

M 117. T— X DFEAED

2. T—RHEL) —REBMU. response ZXWHRT 4+ — IV R UTGERL T (&ENEX THR] ) ZDT 1 —
VROWEDRER 75 78 IZ#ELET,

kd Type

Y | R

| Field - ___Measurement ..-f._..‘:'.?'}!'?i | Missing | Check fRale |
{} customer _id ﬁ Continuous |[7116993] Mone e Mane i
{} campaign ‘f} Momiral 1234 Mone & Mone 8

{} response | 8 Flag | 18 Mane @ Target

E response_... ‘f Continuous ([2008-04... Mone Q Mone

{} purchase ﬁ Continuous I UA Mane [ Mone

E_Eﬂ purchase_... ‘ﬁ Continuous ([2008-04... Mone [ Mone

{} product_id ﬁ Continuous | [183.421] Mane [ Mone

£} Rowid & Continuous [1,19599] Mone @ More L
P R AP orticnons | rnoam hlana M i il

@ Viewy currert fields @ Wiewy unuzed field settings

(o] [caest

X 118. PIEDORE S L &% E D E

3. 74 —J)VL customer_id. campaign. response_date. purchase. purchase_date, product_id, Rowid. ¥ &
O X _random D&EE 7L IZRELET, ZTHoDT7 4 =V NEITRTTFT—XNTHEINE T
W, EEOETIVERIZIIFBHSINE A,

4. TR —FT MEDHARASR] RE %22 ) v 7 LT, iR VAR ZEENTVWS Z & 2R
LET,

%11 B EENEOETFMVER (FYYary vAh) 109



T—RIZIF 4 DORBLEZF v U R—VIZHTHEWPEENT I, SME—EIC 1 20F ¥ =
ERLUTITVWET, ZHE< DL I — NiE Premium F ¥ Y R—VIIHHEIND (T — X TlE campaign =
2123 =M TWwa) 720, FMHhE ) —F2EHLTINoDLI—ROAPBA M) —LIZEGEND
ol TEET,

Ed select &3
@D
Mol @ Inciude © Dizcard
campaign = 2
Condlition:
(0 [concal

X 119. B—F ¥ > R—=2DL 31— FDER

ETFILDVERK

1. T4¥Vary - -YUAr-/J—FE2AMN)—AIZEHELET, [EFN] 270, TWRE 2 1 1238
EFLT, MEBTAHERZEBELET, ZO5EEIEF. DEIOA 77 —T N3] BX-EEE2MREL
7,
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L response[1]
w Model ww

Madel name: @ suto © custom

@ Use partitioned data

| Build maodel for each spit

mode: @ Generate model @ Launch interactive session

. Uze saved interactive session information

Target value:

Find segments with: High probahbility ™

!

Maximum number of segments;

!
41

Minimum segment size

A= percentage of previous segment (3]

(= [
[4IH] [41H]

A= absolute value ()

Segment rules

daximum number of sttributes:

@ Allowe sttribute re-use

I !
[H4IH

[4H]

Confidence interval for new condtions (%) g50

(o) 0. e

120, T4¥Vay VAL =KD [EFIV] &T

2. [AYRI U547 vyvarvoidd) 2ERLET,

3. ZOHIDETFINEY Y TIVITEDZDIZ, 2T AV FORAEE 3 IZ&ELXT,
4. FHLVEREOEEHKEMEZ 85% IZAHELET,

5. T=¥2)—=bF] 27T, [€£=F] % [ZFA=1] ZHELET,
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Ciresponet] %]
[P frl

o e P

Mode: () Simple ® Expert

Einning method: |Equal Court
Mumber of hins:

Madel search width:

EIDNEIREICRE

Rule search width:

I
[=]
[4TH]

Ein merging factar:
E Al missing values in conditions

@ Discard intermediste results

Interactive mode anly

!
[41H]

Maximum number of atternatives:

Lox ) [B run [ caneel] () ()

121, T4¥Vay VAL J—KD [ZF A=} ] &7

6. TREOEAEK %2 3 12BXLET, 2047y avik, [EFV] X TCERLE
17 kviarvoills)) FRELEELTHREL 7,
7. [FEfF] 22V92I2U0TC. AVRI37FT47 VA - ¥Pa—T7—%2FKRLET,
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2 Interactive List: response[1] #1 =) <)
B e f vew Toos O Generse | (| @ n e @)z =)

iewwer @ A

gment Fincer

Find segments with: High Prokakility =
Target field: OB response Maie. no. of new segments: 3=

Target value: 1
] Segment Rules Score |Cover (m |Frequency |Probab\|’rty ‘
All zegments including Remainder 13,504 1,932 14 45%
13,504 1,952 14 45%

Remaincer

%%« [+

Model Summary; Cover 0: Freguency 0: Probakbility 0%

o]

122. AV &5 547 VAN - Ea—7—

Y IAVIMPELEHEINTVARWED, TRTOLI— RRPEBRRIIHEEINET, YT Lofo
13,504 DL I —RKOHFN S, KO v MK 1445% D 1,952 #4H NIV ZH->TWET, 20D
HErkmEIERITE, HWENZLVARVAZULED R (LTS TRWV) BHEDY T AV N2

ﬁbij_o
8. AVRIIT 47 VAL -Ea—T—T, A=a—"oROEHZERL X7,

[W—J)L] > [BZAYNDWHME]
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2 Interactive List: response[1] #1
= == T
s Fle |5 Edt o View Tools £ Gernerste | .@ |

B

B Find Segments %
Settings
i L m Organize acel Measures... chent I
3 2 Find segments with: High Probability = ettings
[zm Organize Data Selections.. i L e i)
Targetfield: C® response = g
@Change Target Value... Mazx. no. of new segments: 3|z| il g | W |
Target value: 1
B Take Snapshot
id Segment Rules Score |Cover (m |Fraquency |Probabil'rty ‘
Al segments including Remainder 13,504 1,952 14.45%
13,504 1,952 14.45%

Remaincer

8 x|« s

Model Summary; Cover O: Freguency 0 Probabilty 0%

(o]

123. A V&5 2547 VAL - ¥a—7—

IREED FeyYay - VAL = RCHRELERECHEIVT, F74V OS2
AAYBIGFENET, T UEXAZE 3 DORBEFLEEL, THEOEFME, [EFL -
TNNRLL ZATAS Ry 72D TRE] TV AP ENET,
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A Model Albums
Mame |Target Mo. of Segments Cover Freg. Prob. |
Alternative 1 1 3 2375 1,348 6. 76%
Afternative 2 1 3 2365 1,326 56 .00%
joternatived |1 3 2,380 1329 55.84%

Alternative Preview:
icd |Segment Rules Score |Cover (n |Frequency Probakility
Al segments including Remainder 13504 952 14 45%
=l income, number_products
1 income = 55267000 and 1 912 795 87.17%
number_products = 1.000
1=l rfm_score, number_transactions
2 rfm_score = 12,333 and 1 737 360 43.85%
number_transactions = 2.000
= number_transactions, income
3 number_transactions = 0.000 and 1 731 174 5% B0
number_transactions == 1.000 and
income = 46072000
Remainder 11,124 623 5.60%
= |
Afternatives || Snapshots
[

124, WHTRER B E 7L

9. VAMRLBHMORBETVAERL X, ZOEMIL.

‘a—o

11 B EEISEOETIVER (FYYay YA

RES LV a—] RRNVIIERINE
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 Model Albums

Mame | Target Mo. of Segments Cover Freq. Prak. |
I.glternative 1 1.0 3 2373 1,348 26 .76%
Afternative 2 1.0 3 2368 1,326 56 .00%
Alternative 3 1.0 3 2,380 1,328 25 .54%
Alternative Preview
id Segment Rules Score |C0ver nj |Frequency Praobahility
All segments including Remainder 13,504 1,952 14 45%

=l income, number_products
1 income = 55267 000 and 1.0 M2 795 G7AT%
number_products = 1.000

=l rfm_score, number_transactions
2 rfm_score = 10,535 and 1.0 729 37 49.24%
number_transactions = 3.000

1=l average#balancesfeed#index, numbe
averagethalancedfeeddindex = 0.000
3 averagetbalanceffeedtindex == 349.01.0 738 196 26.56%
number_products == 2.000 and
rfth_score = 9.239

Remainder 11,129 E04 5.43%

Afternatives || Snapshats

X 125 ERXhREBETIL

MRET L a—] XxVZFEHALT, EEETILVE2ERTLI AL, FEOBOREET I 2R
HIZERRTE, SEIER T TU—FTCERBIZERT LI A TEET,

E: BTNV ERRTLLTEAEDIZ, ZITRLULTWAESIZ, F47u N0 RESLE 21— 8%
NEBKRAETEEFT, TN2TDICEF. X2V OEFREE NIy LUET,

A, AZ 2 OHEI$. REM A3 72 EDFHUEIZE DWW V=)V Z2FH L, EF VIS > T2k
FOBEEPIZEVEERDE AV M EHHILET, 27 AVIPEEINE L, ZOETIVIER
v MR 56.76% £THIELZERBLET, LAL, ZOEFIVIE, BEtkovy vz, ¥
VINEERDINS R E HN—FT HIEET, 11,000 % LR[S L I3 — RBERICHEINEE
IZHR>TWET, BEOENWE A Y M 2RLENRS NS5Oy b XY EL 2HIET2ET IV
NBETT,

10. E7ZZETIMAERD FHEZRTITE, Ao —5ROIEHZERL 7,

Y—v] > [#&E]
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Create/Edit Mining Task: response[1] E

Load Settings: |:resp0nse[1] "§| Rewe.. | |2

rTarget

@Target Figld: O® response Target Walue: 1

—Simple Settings

H

Find zegments with: High Probahilty =

3=

Maimum number of new segments: =

Winimum segment size

Az percentage of previous segment (9%); 50 E

A absolute value (M) a0 E

s

Mac<ithum number of alternatives:

Maximum sttributes per segment: E
m Allowy attribute re-use within segment
Confidence interval for new conditions (%) E

rExpert Settings

Binning method: Equal Count Mumber of hins: 10
Model search width: 5 Rule zearch width: 5
Bin merging factor: 2.00

Allowe missing values in conditions:  True Dizcard intermediste results: True

rData

Build Selection: | &ll Data - @

Lwailable fields: @ al fields © Custom Edit...

M 126, A =22 RAZDERME] X470 - Ry oA

11. [HH) K2y GEEZHLET) 22V 2 LT 2 BHOY A=V - RAZZERKRL, [HL
WEBREl ZA4 7080 - Ry ZATRAIZ4E LT [FHKRE] 2EELET,
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Create/Edit Mining Task: response[1]

Load Settings: |DDWI‘| Search x | [New,,. ]
rTarget
@Target Figld: O® response Taroet Walue: 1
—Simple Settings
Find segmerts with: |L0w Praobahility
Maxitmum number of new segments: E
Winimum segment size
Az percentage of previous seagment (%) E
= abzolute value (M) =
Maxithum number of aternatives: E
Mazimum sttributes per segment: E
@ Allowy attribute re-use within segment
Confidence interval for new conditions (9% E
rExpert Seftings
Binning method: Equal Count Murmber of hins: 10
Madlel search width: 5 Rule search width: )
Bin merging factor: 2.00
Allowy missing values in conditions: True Dizcard intermediste results: True
Ediit ..
—Diata
Build Selection: |4l Data ~ @
Availahle fielkds: @ Al fislds Custom

X 127. T=A4=V2 RATDERME] X477 - Ry I A
12. RAZOMEAAZ EMHER] ZZHLET, 2595, 7LVITVALIE, HRTIERLSEN VA
RUARDEITA Y M aWREL T,

13. /N Z AV - A4 X% 1,000 12X LET, [OK| 22V v 0LTC, A1 VRI30F47 VA
k- Pa—7—IZEY T,

14, AVE720F547 VAN - Ea—=7—T, [TAVF - T4 VX =] RENVIZHFHLWVWEXATD
HHMRFRINT WA I L 2ERL., T AV oMK 22y 27 LET,

Segment Finder

Find segments with: Lowe Probabilty

M. no. of new segmerﬂs:| 3}%{ [ B Find Segments ] i

X 128. LW A=V« RAT DRI A b DR

RAZIZE>THUNMREBET LD Y bHIEEN, TS5 TETI - TIAUNRL] X470 - R
w2 AD TRE] 2 TR REN, URIOHEELFAUAETCT L a—T&$7,
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A Model Albums

Mame |Target Mo. of Segments Freg. Prob. |
I.glternative 1 1 9183 232 253%
Afternative 2 1 9183 232 253%
Alternative 3 1 §,749 144 165%

Afternative Preview

id Segment Rules |Cover () |Frequency Probability
Al zegments inchuding Remainder 13,504 1,952 14.45%
; = months_customer 1747 o B
mornths_customer = "0"
2 I xfm _wcarm 5,003 i 0.00%
rim_score == 0.000
=l income, rfm_score
incame = 40297 000 and
3 incotme == 55267 .000 and 1,433 232 16.19%
rim_score = 0.000 and
rftn_scaore == 10.535
Remsinder 43M 1,720 39.81%

1l |
‘ Alernatives || SDflpShntJ
[P

129. TRAMRER] €T IV OFER

SEliE, FETNVT, GOV ARY AMERTIER LWLV ARV AHERO T AV M PREINE L
2o RUIDRBET N EZHFHARD L, IN6DX T AV FE2BIZRHTEZT T, FEODOEHLSDLE v b
LAY 39.81% IZHAMMUL £9, 2k, BENCHRZET L LI DELS R TWE T, HAN—KIFT LD
Bl moTWET (DFVEEL Y FAZW),

2 D07 Ta—FEMELET D (RHERKRZZFALU CHEHEEDENL I—RZRAL, ZOHIZEN

WROMBEZMFHTZ) 28T, ZOMREZEEITLI N TEHAEEERHD £,
15, TB—=F] 220y 2LT, I (MO FHARBARBET V) 2EEETIVICL,

w2 LT, [T TINRL] BAT70T - Ry A2 T,

%11 Z FEISEDETFNMER (FvYary YA

OK] &7
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3 Interactive List: response[1] #2

laFile | Edt o view Toos ) Generste | (1) B Vi)

| viewer || Gains || Anndtations |

B Take Snapshot Segment Finder

Find segments with: ILDW Probabilty = |

Target field: O® responze

Max. no. of new segments: 3 ‘EIL B Find Segments | B
Target value: 1 - .

id Segment Rules Score

| Cover [n) | Freguency | Probahility |
Al zegments including Remainder 13,504 1,952 14.45% | /=

= months_customer

1 Excluded 1,747 u]

0.00%
months_customer = "0"

= rfm_score

2 Excluded 6,003 u]

0.00%
rfth_score == 0,000

= income, rfm_score
income = 40297 .000 and
3 income == 55267 000 and 1 1,433

232 16.19%
rfm_score = 0.000 and
rfm_score == 10.535
Remainder 4,321 1,720 3981 %

Model Summary; Cover 1,433 Frequency 232: Probability 16.19%

X 130. 7 X v kDR

16. WD 2 DDLT AV NDENTNEZLHI VY I L, [T AVINOBRI 2FBBRLET, ZhoD
Y TAVRTIK, AbET, by b2 TD 8000 i DL aA— RHPMEINE 72D, MKDA 7
T=POZEIN6DE T AV NERATH2OIEFBIZHE>TWET, RSN AV MNE, ZvER
/2012 Null 2237V 7 Engd),

17. 3 BZBHOER I AV 2E2V vy 2 LT, [RZAVIOHIKR] Z2F8BRUET, 16.19% W5, 2Dk
A MDRy NEIE, 1445% DFREMER L ENL2NWZDIZ, TNEEDTELL I 2 E4THI2E
HEMITEMINER A,

H 2 AV MOHIRIZ, A FORALEIUTIED D FEA, BT AV FORATIR, BIZZD
2AT7 VT HEPNEBEINSEITTTE, A FNOHIBRTIX, TORIT AV MNIETILNS5E
EIZHIBREI N E T,

BAEDPRIEDZ T A Y N ERALZ72D, O THREDOR WL AV NE2REBTESH L5120 FEL
776

18. DA =V - ZRAIZHERD DI IFHEHEIND LS, T—TNVDEYDOFTFE 2w 7 LT
BIRL 9,
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A Interactive List: response[1] #2

VgFle |[SEdt & view Tools &) Generate

Wigwer

~Segment Finder

Find segments with: Loty Probability =

Target field: O® responze
Max. no. of new segments: 3

Target value: 1

id Segment Rules Score |C0ver (5] |Frequency |Pr0babil'rty | =
Al zegmerts including Remaindsr 13,504 1,952 14.45%
= months_custol
1 TrIomthE  guatamer Excludes 1747 i) 000%| | 4
months_customer = "0"
+
5 |@ffmiscore Excluded £,003 i) 0.00%
rfm_scaore == 0,000 x
Remainder 5754 1,852 33.82% a‘

Model Summary; Cover 0: Freguency 0: Probahbility 0%

X 131. 2 A ¥ b DER

19. O DM EZERL, [FE] 22V 20T IxM1=v2 - RATOER/MHE] X4 78027 - Ry
I A BEREET,

20. FEHO TB—R#EE] T, TI7ANV MDA =2 - XAZ response[l] ZEIRL T,

21, TV VEE] ZMRELT, LAY MR 5 TP L, e A2 b - 31 X% 500
P L XD,

22. [OKJ] 2#2Vv2ULT, AVR52F547 - VAL -La-—T—IZRHZET,
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Create/Edit Mining Task: Down Search

(o)

@Target Figld: O® response Taroet Walue: 1

Load Settings: |resp0nse[1 ] -

rTarget

—Simple Settings
Find segmerts with: High Probakility =
Maxitmum number of new segments: 5 [

Winimum segment size

Az percentage of previous seagment (%) 50 <]

Az absolute value ()

o
[I¥] 4] 4]

Maxithum number of aternatives: E
Mazimum sttributes per segment: E

@ Allowy attribute re-use within segment

Confidence interval for new conditions (9%

l
Lol
=)
[4[H]

rExpert Seftings
Binning method: Equal Count Murmber of hins: 10
Mol search width: 5 Rule zearch width: )
Bin merging factor: 2.00
Allowy missing values in conditions: True Dizcard intermediste results: True
Ecit...
-Data

Build Selection: | &l Data - [@

Availahle fielkds: @ Al fislds Custom

Cancel m

132. T 74NV MDA =T - RAT DER

23. [T AV I NOWME] 22)v I ULET,

&y, FEMORBET VO Y MBRRRINET, 1 DOYA=VT - RAZDFERZ MO
FRIZZA—FT2ILT,. ZNODBEHDETFTNVIIEBDOE WL A Y hEFBOBENE T AV b
MRUDED IR ET, EIBRPENVET AV MEIRAZH, Null LTRa7) v ranE
T, —H. BENBZETAVNMNI 1 ELTRITY VI EINET, 2UEOHEHIZ NS DR Z [
U, BAIONRBEETIVIFe y MK 4563% ZmRLU, BHIOEDET IV LD HEWAN—F (3456 L I—
RDS55H 1577 b b)) EhoTWET,
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&' Model Albums

Mame |Target Mo. of Segments Cover Freg. Prob. |
I.glternative 1 1 i 3,436 1577 43 63%
Afternative 2 1 7 3,456 1577 45 63%
Alternative 3 1 i 3,456 1577 43 63%
Alternative Preview:
idd Segment Rules Score |C0ver )] |Frequency Probahility
Al zegments including Remainder 13,504 1,352 14 45% | =
1 aoattinwintomes Excluded 1,747 o 0.00%
morths_custamer = "0"
2 = Hirlscore Exccluded 5,003 o 0.00%
rftn_score == 0.000
=l rffm_score, income
3 tfim_score = 12333 and 1 555 456 g216%
income = 52213.000
4 Al 1 B43 551 B569%
income = S5267.000
=l number_transactions, rfm_score
5 number_transactions = 2.000 and 1 533 206 3565%
rfm_score = 12.333
=

‘ Alternatives ‘I_Snapshois |

X 133. FEEINEET NV ONRE

24, BHIORBETNZTLEa—-LTHhH,

‘a_o

lB—FK] 22Vw 2oL, ZOETLEEEETIVIZLE

Excel A L77=HRY LIBEDEE

1. EBRNBSDPSETANREDLIIZETINTVWS R

Za—No TETIVIREDRK] ZERU £7,

%11 Z FEISEDETFNMER (FvYary YA

IZOoWT, &b

R A pE Y A S

V=) X
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A Interactive List: response[1] 4
}.. File |j Eclit J\f’lew Toaols ﬁ) Generate ﬁ @

b Find Segments

Settings...

@ Organize Model Measures ... ~Segment Finder

[ Organize Data Selections... £l High Probahilty =
Targetfield: O® response y : b
@ Change Target Yalue. .. 20¢. No. Of New Segments: H = E §

Target value: 1

B Take Snapzhot

id Segment Rules |Sc:0re |C0ver (] |Frequency |Pr0babil’rty |
All zegments including Remainder 13,504 1,952 14 45% | =

i = months_customer Eveluded 1747 i] 0.00%

maonths_customer = "0"

5 | Brim_score Excluded 6,003 ) 0.00%

rfm_scaore == 0,000

8%« nf[)

= rfm_score, income
3 rfm_score = 12.333 and 1 555 456 §2.16%
income = 52213.000

j |&income 1 £43 551 85.69%
income = 55267 .000
= number_transactions, rfm_score
3 number_transactions = 2.000 and 1 533 206 38.65%
rfm_scare = 12,333

Model Summary; Cover 3 456: Frequency 1,577: Probahilty 45.63%

(o)

X 134. & FILIERED IR

ETIVRIEOMK ] X4 787 - Ry 7 AT, {8 (£721350) 28R, 10X F775747 - VA
l\ Ea—T7—THRRTDILNTEET, £7/2, TRTOLI—RFEZIHBRLZY T2y MizwL
THREZFIHETEI2NEIDEBETHI LN TEET, IHITRIITIBU T, BTEHBRHT I 752K
RTBEIITERTEET,
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-Organize Model Measures

] Hint: Use thiz dialog to define the Model Meazures which are dizplayed in the Vieweer table.

Mame Type Display Data Selection |Show |
Cover Coverage Pie Chart Al Data |:| —
Cover () Coverage Mumeric Al Data E +
Freguency Frequency Mumeric Al Data @
Probakility Probakility Mumeric Al Data IE +
Error Error Mumeric Al Data |:| x

-Custom Measures

Calculate custom measures in Excel (TH): @ ves © Mo

Wiarkbook: |

Matme | Description | Shoy |

135. TETVAEROMK] X4 78ar - Ky 7 A

¥ 7z, Microsoft Excel 731 Y A =)L ENTWBIEE, Excel DF L —hr& )2 ULT, HAX
LIEEEFHBEL, TNORA VR TIIT A TERRICEMTAZIENTEET,

2. TEFVIEEORK] #4702 - Ry 2 AT, [Excel (TM) NDH AR LIEEEFE] %2 TXw)
WICRELE T,

3. [Excel (TM) ~DO##il #27 Vv o7 ULET,

4. IBM SPSS Modeler 1 > A ~—)VEHE®D Demos 7 4 VX —D streams O NiZd 5 template_profit.xlt
D=7y 7 EERL, H] 22V vy ULTAT Ly FY—M2HBLET,
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'@ Microsoft Excel - template_profit1 E[E]
@] File Edit Yiew Insert Format  Tools Data  Window Help  Adobe PDF -8 X
bl ¢ il - 10 -|B I U |SE==E 8y 5 b= A- [
eSS 0N |
F4 - A& =IF(H4=""0 L4} SettingsIF=_1
A | B & | D | E F | G|~
1
2
Metric: Imported Metric:  Calculated Metric: Calculated Metric:
3| # Use |Frequency Cover Profit Margin Cumulative Profit Target
4] 1 -2 500.00
5 | 2 i |
- ™
W 4 » i Model Measures ( Settings { Comfiguration / [<[ w | (2]
Ready MM

X 136. Excel ® TEFNLIE] 77— — 1

Excel 7> 7L —hiZid, IRD 3 DD =27 — DR EEFNTWVWET,

o TEFUHE] E ETADSA VA= SNEETMEEZERL, EFVICHTZZ AR—
THDIZHAXLEREZEIREL £,

o [EREI I, WARLBEOHATHHAINERNTA—X=EFNTVWET,

o (K] Tld. ETLVEDOMTA VAR BIUVPZ 2 AR—- T 2EZEHELET,
ETIVIZHTZ I AR—- I NLHEHETIROL B D TT,

o TFIZSHE] . B A2 hh o DRI,

o TEMAE] . F¥rR—r ORI,

WORTEZEEINTVWET,

Profit Margin = Frequency * Revenue per respondent - Cover * Variable cost

Cumulative Profit = Total Profit Margin - Fixed cost
nB, BEBIUOHIN—FETANSA VE—bEINET,

TANBEORBENT A= —F, [E&E] V—2rv—rTa—¥V—izkoTHEeINnEd,
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Microsoft Excel - template_profit1 E@ﬁ
@J File Edit Yiew Insert Format  Tools Data  Window Help  Adobe PODF Sl
=0 210 o BIlU & = = FR B e o s 3E i O A
il 5N |
12 - pid

A | B JD] E = T i~
i L.
)
5]
T
g
9
10
11
12 |Costs and revenue b X
13 |- Fixed costs 2 500.00 1
14 |- Wariable cost 0,50
15 |- Revenue per respondent 100.00
16
17
18
19 S
20
21 v
W 4 » W[y Model Measures b Settings /. Configuration / 1< il | |>]_]‘
Ready M

137. Excel ® T#E] 7—27¥—F

MEE AN I, FHEPEHERE., FyoR—VIZRESNZIAA T,

EHEa AN &, BHEAPUFRY, SEECA 77 —%2RBHETSIANTT,

MEEHEH D ORI X, A7 7 —ZEE U BED S OMFARETT,
5. ETNADY VI EHEETT AIZ1E, Windows X AZN—%2HH LT (£721% Alt ¥—& Tab F

—EWLOI 2727547 VXD -

Ca—7—IZHEBHILET,

Choose inputs for Custom Measures

inputs to calculste custom measures.

Hint: Use this dislog to choose which model measures will be uzed by Excel (TM) as

Inpt |M0del Messure |
Frequency Frequency
Cover fcower (m |

X 138. 1 AR LFERED 728D D A1 DER

[HARLIEDZODASTDEIR] XA 70T - Ry ZARKREN, ETADSDANZT VT
— MZEHBEINEZREDNNTA =R —IZ v YT T5Z2eNTEET, AT TIIRHAREZ TR

M)A PEINTVWET, GRIDOFITIE,

(M) 7 —2 Y — b TEZBINLAT LY R¥—Fh

—R—=lZZINSDEEEY Y UET,

VAR
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6. [EFNIEE] JIT, TNEFNDOAIZHLT TEHR 8XU

Vw27 LET,

[713— ()] Z3ERU,

OK| %7

ZOHBE., TV TV—MHNDONRIT AR =2 TEH] BLO [hN— (n)] 7272 AL T
WETH, BRDIAHEZEHTHII L TEET,
7. TEFNREORE] X4 7as - Ry 22T IOK] 22Vv 2L, A1V&5272F47 VA ¥
a—-T—%FEHLET,

[ rganize Model Measures

] Hint: Use thiz dialog to define the Model Meazures which are displayed in the Viewer table.

=

)

Mame Type Display Data Selection |Show
Cover Coverage Pie Chart Al Data E|
Cover () Coverage Mumeric Al Data B
Freguency Frequency Mumeric Al Data @
Probability Probability Mumeric All Data E
Error Errar Mumeric Al Data D

4+
¥
b4

-Custom Measures

Calculate custom measures

in Excel (TM): @ ves © No

)| Warkbook: |:iIESISPSSInc:1PASIMu10deIer14Demosl(:lassification_ModuIe'demplatEJomfi‘t.xn|

hlame |Description |Show |
Profit margin Excel calculated proft margin @
Cumulative profit Excel calculated cumulstive profit @

X 139. Excel DA AR L#IEEZFRT D [ETFVIBEOHRK] X170 - Ry 7 A

U4 Y RTIZHUWEENT LWl LTEME N, ETANERINSGZCICHEIEINET,
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.3 Interactive List: response[1] #4

I File |SiEdt o view Tools ¥ Generste | BB @ BB GO B

| Wiewer “_Gains_!l__.%nnotations '
. == Take Sn_apSth Segment Finder
Find segments with: High Probability = |
3SR

Targetfield: O® rezponze of new segments:
Mar. no e rit SE P Fir

id Segment Rules Score |C0ver [n Frequency |Pr0bab\|ity |Pr0f'rt Mmargin |Cumulative... | *n::
All zegments including Remainder 13504 1852 14.45% 1] o= .ﬁ
=

& months customer Excluded 1747 0 0.00% 8735 2,500
manths_customer = "0" *
¥

5 | Brim_score Exccluded £,003 ) 000% 30015 2500
rfm_scaore == 0,000 x
=l rfm_score, income a

3 rim_scaore = 12.333 and 1 955 456 §2.16% 453225 425225
income = 52213.000

o\ =l income 1 B43 551 85.69% 54,7785 a7 601
income = 55267 .000

= number_transactions, rfm_score
3 number_transactions = 2.000 and 1 533 206 35 65% 20,3335 117 934 .5

rfm_scaore = 12,333

Model Summary; Cover 3 456 Frequency 1 577: Probahility 45.63%

140. 1R 52547+ VAN - ¥a—7—IZFKREND Excel DH AR LIGIE

Excel 7V L= 2iRETEHI LT, FEDOHO N AR L{EEEERTE T,

Excel 7L —hhDZERE

IBM SPSS Modeler Tl&, 1252547 - VAL - ¥a—7—THEHTEZHDT 7 4L rD Excel
FUT LU= bR INTVWETA, REE2LHELAEZL, MHOTF VY 7LV — b 2EMULAEZDTEIEETE
9. HzE, T =X, HERIZE > TABEY T, BEOBRENELRZZERH D ET,

E: BEOTF Y TV — b2 EHELEEE, £3MEDOT Y L — b 2ER LI5S, 243, Excel 2003
DOYFEF xlt ZHHAL T 7 71V EHEEZELTLEI WD,

TIANIDT YTV —b2HLVWIZA B LCPREOFEMTEEL, FILWEBETT VX527 47 -V

AN - Ca—7—%2FHTLFIEIZ ROLBVTT,

1. 1YX727747 VAL - Ea—7—T, V=)l A=a—»s [ETIVIEEOREK] %:&RL F
ER

2. TEFVIEEORK] #4782 - Ry 2 AT, [Excel” ~DOEf 2271) v 27 LET,

3. template_profitxlt 7 —2 7 v 7 &ERL, TR 22V v UTAT Ly FY— b 2EHLET,

4. [BE] 7—20Y— b 2ERULET,

5. TEEaAM] % 325000 12, TEI&EEDZDOFE] % 150.00 IZH#EL X9,
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|| Microsoft Excel - template_profit1.xit =[E[=)
E File Edit Yiew Insert Format  Tools Data  Window Help  Adobe PODF Sl o
HEN HLCE S0 o B 7 U|S =S| o )| - A~
GAIM_1 - #& 150
A |8 D] E | F [ 6 [ H] i
4 1
a
E E
7
g
9
10 :
11 |
12 | Costs and revenue ‘ | X
13 |- Fixed costs 326000 1
14 |- Wariable cost 0.50
15 |- Revenue per respondent I 1SD.DD!
16 :
17
18 f | | H
20 ! + + 21|
21 i | el L j— _ g
M 4 » W[y Model Measures ' Settings / Configuration / 1< il | [1]
Ready MM o

B 141. Excel ® [&E] 77— — b DEEI N/-ME

6. —HOEET LT 7 A NLT, BHFAT VTV — b 2HELET, 77 1 IIVOHEEFHY Excel 2003
DOFETF xlt THDBI L EZERLTLEEI W,

Save As @E
Save in: |Eﬁ Classification_Module M @ - a S Ci - Tools =

2| template_profitl . xlt

T =
template_profit,xlt
My Recent
Diocuments

My Documents

%

My Compuker

{ File: name: |temp|ate _prafit_3250} M [ Save i
My Mebwork —
Flaces Save as type: |Temp|ate * .ty M Cancel B
2|

X 142. ZE X N7z Excel 77V — hDRE

7. Windows X AZ N—ZfEHALT (£721k Alt + Tab F—2#LTC), 125325147 - VAF -t
J*Y*C:ED ij_o
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[HARLIEEDTZODATDER | X4 7as - Ky 2 AT, #rTHEEEERL, [OK) 27
Vw22 UET,

8. [EFNIEEDOHEK] #1470 s - Ry 27 AT OK] 22)Vvy 2L, 41 V&X52F47 - VALV
a—T7—%HEHLET,

ESFETEHDERAN, ZOWTIE Excel 7Y 7LV —ME2EETEY YTV 1 DOHEDARL TV
¥4, AVEIIT 4T - VAN Pa—T7—DMTT—X2P0HH L0, DL Excel N THE
LTI 7R EODMDENZERLIZD, K OFHMBEELZITS N TEET,

.3 Interactive List: response[1] #4

@ File | Edt & view Tools  §) Generste | () @ B

| Viewer “_Gains_::__.%nnotations |
E Take Snapshat Seament Finder
Find segments with: High Probability = |
3SR

Targetfield: O® responze
1l Max. no. of nevy segments: P Finc
Target value: 1 =

rfm_scaore == 0,000

= rfm_score, income
3 rim_scaore = 12,333 and 1 555 456 §2.16% GBE122.5 G4 5725
income = 52213.000

id Segment Rules Score |C0ver (] Frequency |Pr0babil'rty |Pr0f'rt margin |Cumulaﬁve | *n::
All zegments including Remainder 13,504 1,952 14.45% o o= )
=

& months customer Excluded 1747 0 000% 8735 .3.250
manths_customer = "0" *
+

g | B rim_score Excluded 6,003 0 0.00% 30015 3,250
2

4 | Bncome 1 £43 551 a5 60% 23955 147 201
income = 55267 .000
= number_transactions, rfm_score
3 number_transactions = 2.000 and 1 533 206 38 .65% 306335 177 8345

rfm_scaore = 12,333

Model Summaty; Cover 3 456: Frequency 1,577 Probability 45.63%

X 143. 1 V&5 05F47 - VAL - Ca—7 —IZXKREEINS, Excel TEHINH AR LG

HERORE

AVEIITF4T -y ya RIBPSHHETAEEZODICETVEMEETSIZE. ETLVDAFY TV ay
FEELVET, AFy Trav i, [AFvyTFVayvbh] RAVARNINET, 1 VE57F47 - &
wyavhi, WOTEREELEAFY TYay MIESZZ W TEET,

CONEEETTHIET, BIOYA=V2 - RAZZERLUT, BHOX T AV N 2RETSI AT
TET, £/ BEFEOX ST AV MEREL, MEHDE IR A - L= IZEDWTHARL - 2T AV N2
AL, F=2BERZERLUTRED N —TDdIZET IV EREAL, TOMOI X LR HETET N
BHARIARTEET, BBIZ, DEZSGUTREI ALY FE2WREBIZED PRI L T, ZhEFENAD X
A7V VI HEERBETEET,
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FEEICMRE LS, THER] Ama—2HLT, AMN)—LIZEBMT22RAa7) VyJHIZEETSZ
MCEBZETNEERTEET,

HHWE, BHEHTAZD, A1 VXF7 75747 -2y yarvOBEOREBEGEAETZIZE. 77101
AZa—06 TBETIVER/ —FOFEH] Z2F#RLUET, kD, 1=V 7 - XRA7, ETIVDAS
v ITvay b, TRER, BIXONARLEEAED, T4V Vay - VANDETI VS - )= RKH8
EDFRECEHFINET, IREIA N —L%2ETTEL &L, BIEDRREIZEY Y a v ERIET S72H1Z,
BIZTsvvay - YADL - ETIUER/ — R T [BRFEHAL Y ¥ a VISHROMH] PMEIRIhTwEZ &
EHERLTLSEZIWN,
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£ 12 E EXNREIHOBEDONR (BIHRAVAT 14 v 7HIF)

OYAT 4y ZEEE AT 4 =)V FOMEIZEDWT L I — R0 Skt FETT, MR & T
WEITH, BUERNR T 4+ =V R TR ALK ATIT —NRT 1 -V F2lD £,

FlzE, BRKEETONI Z—DRZOFER—A %, Y=V AFHRRZ—VIZE>TRALTEY, BE%
4 DOTN—=TIZHATT) =L TR LET, AT —X2HEHALTHEENE DIV —TIZHET
EZhEFHCENE, JHxDRAAZBIZHOETCH -V RAZHIARZTA A TEIENTEET,

Z DT, telcosav WD T —X - T 7 A INVEBIET S telco_custcat.str £ \WNVD ANV —LBFHL E
T, INS5DT 71V, IBM SPSS Modeler ¥ > A b — )VIFAEREED Demos T4 L 27 h)—iZdH v %
T, ZOT 1 L7 MY —IZiE Windows ® [AX—1] A=2—0 IBM SPSS Modeler 712 5 L «
W—TMMET IR ATEET, telco_custcat.str 7 7 A VL, streams T4 L2 MU —HNIZHH £T,

ZOHNE, [HHAZR—VZ2FPHITA20OD0ANAFFHT—ZOMHFEIZEFEELUET, UTO X512, M7
4 —J)V R custcat 121X, 4 DOBEBR IV —FIZxied b 4 DOABERMERH D £9°,

fil 5 ~)b

1 HAY -2

2 E-¥—tb A

3 TIA Y —E A
4 =% - H—VL A

REZERONT ) =B 52012, ZEHETLVRZMEHLUET, FW/ WA, B/{f4, BR/EHL RN
RED 2 OO AT TN —DHEZHNLDGEIF. R0z 2 HETLVAERTEXT, FMIzOVWT
3. [141 R=YVD I3 13 % BrltOme (CHO Y AT 1 v 7)) F2RL T EE W,

A NUESYNY: £

1. Demos 7 # VX —® telco.sav %5 LR Statistics 7 7 1)V AT/ —RZEBMLU T,
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== —
s—h\ L)\
. —l“‘\ :3, —p-\.l.ﬁ/; \|£
telco.say Type Cemographic 7 custeat
#
4
fo
il
% o |
. |
- PEEEHY
/ —
[y Table
custcat

4]
i., —
13 Fields

X 144. ZTER Y AT 4y Z0REERAL CTHEEEZ DT 272005 TN - AR =LA

a. TR/ —FZBMUL, MEDOHAAA] 227V v 2 LT, $RTOWEDRENEL <

KRS

NTWBZLZERLET, HIZAIE, 0 BXUO 1 2F2FLAED T — IV RIET7 57 Rz

TIENTEET,

2 Type . _ _

B Read Values

Clear Walues Clear All Walugs
~ Field . easurement ‘alues Missing Check - Rale
{} gender &) Momiral 01 Mone N Irupoust =
{} reside ﬁ Continuous [1,8] Maorne N Irpost
{}tollfree 8 Flag 10 Tlone N Injaut
{}equip 8 Flag 140 Mane N Irnpowst
{3 callcard &g Flag 11 M
Dretauit:
{} wireless 8 Flag — et
*@} longmon ‘f Continuo Select All Continuous
%tollmon ‘%Eonﬂnuo Select None Categorical z
@ view currert fields () vi Select Fields k Flag
|.|'I'_'] Copy Ctrl+C Mominal
(B Paste Special... Ctrivy Ordinal Eaast

145 EED 7 4 — IV FDOHIEDREDHE

by b BHUOME (0/1 28) 2[5 OEBDO 7 4+ =V KOTaRF 1+ —%2EET 5121k, [E] 4
RELEZZVY 27 LTT7 14— )V RNEMEDIEFTY — h U, Shift F—2M Lo~ A FE/ITE

¥ —%2HLT, ZHITLE7 14—V RITRTEZERL T, EREEZLEZY Y2 LT,
REZZEHT LD, ZBIRUT7 1 =V FOMOEEZZEEL X9,

WD

MERN &, 7527 TiEa<, 2 20fEty FEFKDT7 4 -V RERLTHERIDEYTH S

o, TRE] Offild #EM] OXXITLET,

b. Tcustcat] 74—V RD&EEE [WR] IZHRELET, TOMD T 1+ —)L FDO&ENX, §XT A

T TERELVE T,
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s | Clear Values |

ok [cancel

Figld - | Measurement | walues | Missing | check | Rale
" BRI L m rEg i (K] | U W NI 7
@ loglong ‘f Continuous [-0.10536... Mone b It
&2 lngtoll & Continuous [.74914... Mane N Input
logecui ‘ﬁ Continuous [2.73436... Mone \ It
@ logcard ﬁ Continuous [1.01160... Mone h Irupoet
@ logpvire f Cortinuous [2.70136... Mone \ It
@2 Ininc & Continuous [219722... Mane N Input
{} custoat ‘?3 Mamiral 1234 Mone @ Target
{} churn 6?:; Mominal 01 Mone b Irupoat *
@ Viewr currert fields  © Wiew unuzed field settings

X 146. 7 4 —) ROBEDHRE

ZOBNITES S 74y ZIZERT D, 740V X— - J—FREHHLUCHEETS 71—V R (M
AR, RERE. (ERT. DUAL ZEEE. EH. GRER. M B B X custeat) DAEEDET, ZD
SOHMM E, ZDMD 7 4+ — )V RIZRAL TERFVEEA,

‘4 Demographic %
o D=

Fields: 42 in, 31 fitered, 0 renamed, 11 out

I | Fiter | Fild!

region — regian b

tenure M tenUre

age — age

marital — > marital

address —_— addreszs

income — > income

ed —_— ed

employ — employ

retfire —_— retire

wender — gender ]
@ Viewy currert fields @ Wiew unused field settings

ok [cancet

X 147. TEZ 57492 - T4 —=IVRKDT4NVR) VT

(£, ThoD 74—V R ZBRATHDOTIIALEEHZ [720) ITEES S0, ETIMER/ — K

THHTE7 4 —IVREZENTLHILHTEET, )
2. BYVATa4vo -/ —RT,
IEEQJ AY

% 12 =

TEFIV] RT%E2 2w 7L,
TERE] . BXO THERCERHEZED D] BEBIRLUET,

(AT v T4 X4k Z2#IRUET,

BRMIERALORE DB (SHD VAT 1 v 7 )

%
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w Mocled MW

Model name: @ Auto © Custom

@ Use partitioned data
@ Euwiild model for each split

Procedure: (B Multinomisl © Binomial

rhuttinamizl Procecdure

Methiat: |Stepuize e

Biase category for target: 1 w

Model type: @) Main Effects  ©) Full Factorial © custom
adel Terms:

@ Include constant in equation

148. €TV - ATV a v OER

HEDR=Z - 53V —% 1 DFFIZLET, ETNVIERMOEEZEHEART -V AIZIMATIHEE &
U 9,

3. [ZF28=}1] 27T, TZF28=1] E—FNEERL, Tl 2R, [EEMHEN 2147
0y Ry AT, 8K 28R ET,

Logistic Regression: Advanced Output %]
D Summary statistics Iﬂ Parameter estimates
[T Likelinood ratio tests Confidence interval: 930 :
[ azymptatic correlation [] azymptotic covariance

Goodness of fit chi-square statistics E Clazsification table

.

[ teration histary for every stepis)

Iﬂ Stepwize variable loadings E Monctonicity measures

Infarmation criteria

149. H AT a v DR
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EFILDOSHR

1. /J—FZFEFLTETVEERLET, Ini34A B0 TE7)V) ALy MTBMENE S, iz
REDITIE, ERSNETIN - /= FahA2Y vy 27 LT, 2] ZE#RLET,

TEF)N] AT, WE T4 —IVRDOEHAT TV —I1zLa— RE2EHDYTEEDIZHHI NS AT R
ENET, 4 DOEMBRATI)=0HY, TDI5HD 1 DIFABRERDOFMARRINTVRNRN—Z -
HFITV—=TF, ATTV=3 DBTIF7R - P —ELR2RITHRE, BOLD 3 2O HERIDOVTOFEMFE
REINTWET,

[ custeat B
W ‘ @ File ) Generate Jiiew @ H.EI

I B9 2 1,

E-Equation For 3 i
{0 002157 * address +
0.5556 * [ed=1] +
0.7185 * [ed=2] +
{ D6729% [ed=3] +
Lo 04647 * [ad=4] +
0.0:2133 * employ +
0.03447 * reside +
+-1.551

Predictor Importance

Target: custcat

E-Exustion Far 2
{ 003685 * address + employ—
217 *[ed=1]+
-1 508 * [ed=2] +
{09709 * [ed=3] +
L 1BTE4 * [ed=4] +
002635 * employ + address—
01477 * reside +
+0.04901

[=-Equstion Faor 1 reside—
| Base category
-+ 0,00000000000000000000

E-Ejuiation Far 4 0o 02 04 08 08 10

0.02184 * address +
r

-37E2 * [ed=1]+

1859 * [ed=2] +

{1453 [ed=3]+ Least Important Most Important
Lo 05843 * [eo=4] +

0.0424 * employ +
0.2376 * reside +

+ 013806 - Wigwy:  |Predictor Importance =

150. ETIVEERDO S

[EH)] X712, EFVCHHAINZRREICAD (FHRIE7 + =)V R) 28 (fLDIEH & 2 £12) "R X
NET, 7270, INSEFBREATEDIIRREINEZZBLERV AT LEL, ATy T U1 ZHEIZESNT
EEIEININZT7 4 — LR TT,
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fﬂ File f) Generate (Eiew

o Analysis
E-Fields

E-Build Settings

--Usze partitioned dsta: false

- Calculate variable importance: true

- Calculate rave propensity scores; false
- Procedure: Multinomial

--Base category:

K 151. WEBEIOANT 4 —)L RBHRRINEZETILOER

[BEM) R TICRRINAEHIL. EFIUEKR ./ — R0 T8 B4 7a2 - Ry 7 ATERINZA
TavitkoTELEY ET,

WIZEREINS 1 DOHEHIZ, MU —20EH)] TF, Zhid, L7 =L ROEHFTTY —
IZEMTHLI—ROEEEZEXLET, Zhuc kD, HEROEBEL U THHTIRENRET VLAEONE
ER

TREZMEHALUZETVERBELRWGE, D BN RIV—T (IR - F—EZAHDED) 12T RT
DEFEZE D YK T2OH, mEOHHANIZLD X7,
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Ed custeat
\j | |n“i Fie ) Generate Jiiew

inlt]

e
Case Processing Summary
| ] Marginal Percentage
Basic service | 266 | 26E%
E-service 217 21.7% |
custcat | -
Plus service 281 | 28.1% |
Total service 236 | 23E% |

[ epot | eeet

X 152. WERL 725 — 2 DEHY

HET - RIZFEDNWT, TRTOHEE 2 IREEE T IVIZE D TG4, 281/1000 = 28.1% DERT
EUL AR Ed, [FHM 272 ETVOFHZBETEAHERNPI SICERRINET, KIZ, Filllz
IR E T ILORER L IR L T, ETIADRT— X TENFE S $<EERET A0 2R TE £,

[FEM) R 7O FEBONERIZ, ETIVOMENPIRRINET, ZHiL 39.9% DIERTIEETT,

KRz, EFVIEb—X)L - Y=V ADHEE (W7 3V — 4) 2#iT5 LTENRLTHWETH, EV—EAD
% (T 3V — 2) BT AEEICEERICE>TWET, 53V — 2 OFFICHETARE LM L
IELLEIE. TNOEZHHTE7-20DHDOFHEEZ ROTE2HERHLEEZONET,

12 ¥ BLAAERMOBEEONE (FEo VAT« v 2EK) 139



.custcat
w ‘ jﬁ File
P

@ Generate dgiew

[
Classification
Predicted
Basic Eaics Plus Total Percent
Observed service service service Correct
Basic service | 122 g 73 &1 42.9% |
E-zervice | a8 10 68| a1 4 6%
Plus service g9 g 133 | =l 47 3% |
Total service 47 12 | 43| 134 | 56.5%
Overal 31.6% 38% 3 9% 327%| 39.9%
Percentage
= -

153. 7r5EFR

FHTZ2HDIE 5T, ZOETANR=—RZERILES>TVWDRIERH Y ET, HIZIE HTTV— 2
DEEZHIST 2 2B HLAVERIE, ZOETVEHHTT, ZHid, BV —EARMEL A LRI Z
L7256 IRVWRRY — A THLIHETT,

BIZIE, ATV — 3 £21F 4 Y TREIBEEDP ORAOBENRELZBTWSIEEIE. ZOETILL
SMEREREBLZENTEET,

ETIUHREBRIZT —RIZENIZE S FHEETE0 25T 5720, ETNVEMEET L& 1z, TFEHIH

N1 ZBAT70T - Ry ATIEIELPWHEEZMHT L Z LA TE XY, IBM SPSS Modeler Tf#ifH
AINDETNERGTEOEENREMOBIZOWTIE, 1 YA M=)V - T4 AT D ¥Documentation T A
L7 b) =23 [IBM SPSS Modeler 7)) AL« 14 K] 2L TL IV,

INSDFERIFFE T —XDOAIZE DI Z & E%b1<ﬁéwo%?»ﬁ%%@ﬁﬁ@@@?—&mzm
PS5 EL LS Na 23T 5121, T—2KXD ./ —RE2FEHLT, TAMBLOHEOHKTL O
—RFoY Ty b EERFLET,
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£ 13 & EXNRESLOHEN (CIRAV AT 1 v 7EIF)

OYAT 4y ZEEE AT 4 =)V FOMEIZEDWT L I — R0 Skt FETT, MR & T
WEITH, BUERNR T 4+ =V R TR ALK ATIT —NRT 1 -V F2lD £,

ZDOHITIE, telco.sav VDT —X + T 7 A NESIET S telco_churnstr WO A M) —AZ{FHLU
T, ZTNS6DT 71 )iE, IBM SPSS Modeler 1 > A b —IVEARERED Demos T4 L2 F)—1ZHH F
T, ZOF 14 L7 M) —=IZiE, Windows ® [ZAX—hF] A=a2—®0 IBM SPSS Modeler 712 J A « &
N—TMET 7R ATEET, telco_churnstr 7 7 1L, streams T4 L 27 MU —RNIZH O £7,

Bz, et ELNIBEEORICEL a2V TWAELBE o X—2 e L9, —
VAFHET — 2%, YOFENMIO TuNA4 X—12B 0 Z50% FHT 27-0icffHATEE, BE%:2H
ARARAALT, TELLEIILL DB MR TLZenTEET,

ZOHITIE, @%ﬁ%(%%)%%ﬂ?éfwwﬁﬁa” REMHT 2 HEITERBLET, ﬁ%’
DD BHT IV =N 572di1, “HANETVEMFHL T, @ﬁ@ﬁrzu~@%éﬁ%®
ROVIZZERNET VAR TEE T, FMCOVTIE, (133 A=Y I 12 & FLEER ﬁ@@%@
Dl GEO YT+ v 7] [F2RLTEI W,

NV ENOY - £
1. Demos 7 )X —® telco.sav %8 LR$ Statistics 7 7 A IV AN/ —RKZEEBML XTI,

4 -8 — S A, .
s
telco.say Tyte important features Missing Waue Imputa.. ’o' chyrn Analysis
I 0'
#
+
- " "
Hivi L..,S Ve EEER
chgrn 28 Fields churn Tahle
1
- 4
E.{Ei'}"e

churn

X 154 TRV AT 4y ZEE2#EH L CHEEZ2DETA72009 T )L - A MY =L

2. TR —KEZBMLT74 =1V ERZ2EHEL, IRTOHEDORENELLFEINTVWS I L%
ALET, Iz, fH 0 BLU 1 2F2FEAED T — IV RIZ 7S RLTI N TEE
T2, MHREDRED 7 4+ =)V KX, 2 DOMEZROH/HE T + =)V RO AN L D ERIZERIERS 0
7,
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feazurement

Check

Rale

| l;'ield i 1L Walles Missing R
{:} gender &) Momiral 01 Mone \ Irupoust =
{} reside ﬁ Continuous [1,8] Mone N Iruporst
{}tnllfree 8 Flag 10 Tone h" Input
{}equip 8 Flag 140 Mane N Irupovst
{} callcard 8 Flag 10
Drefaut:

{} wireless 8 Flag — )R
'{@} lomcmon ﬁ Continuo Select Al Continuous
i% tollmon ‘% '.Eorrﬂnuo Select Mone Cateqarical E
@ view currert fields () vi Select Fields 4 Flag

i._D Copy Cirl+C Maminal

% Paste Special... Clri+y Ordinzl @

X 1

55. HEDT 4+ — IV ROPEDREDHE

b FBIUZZME (0/1 72E) Z2ROEBO 7 + =V NIz LT F a5+ —22FH T 5121,
Mg #lo~NYy X—=%2)y 7 LT74—=)VREEIZE>TY— U, Shift F—2H LRSI T A
FEERHF—2FALCTC, BETE7 11—V RETRTGERLUET, ERFEFHE2LG2Y v 2 LT,
WEDREZEET L0, BIRLEZT7 14—V ROMDENEEZZEEL £7,

3. churn 74—V EDHEDRER (7578 c#&keE L., %E% T4 1
14 =)V RD®ZENL, T TAS]

SRELET.

M=

eaje=

Field Measurement | walues | Missing | Check Riole:
S BRI @ riEy | T R %
'@} loglong ﬁ Continuous [-0.10536. .. Mone N Iruporst
2 logtol & Continuous [1.74919... Mone “w Input
'@} logecui ﬁ Continuous [2.73436... Mone N Iruporst
logcard ‘f(:orrtinuous [1.01160... Mone \ It
'@}Iogwire ﬁCDrrtinuous [270136... Mone N Iruporst
Ininc & Continuous [249722... Mane M Input
{} custcat &; Mominal 1234 Mone N Iruporst
{} churn 8 Flag 10 Mone @ Target  |=
@ view current fields  © View unused field zeftings

B 156. churn 7 4 =)V FORPEDRES L OBEI O E

4. BECEINETNVAER — K25 =28 — NIZEMU T,
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74—V RER —NZ2MHTLI LT, FHIMHE/ SROBKIZEL TEMREHRZ B L 0 FHIME
EET— R ZHIRT B2 ENTEET,

ANV —=LBFETT B,

EROETIV - F7y FEHE, THER) Ama—55 790 &X—] 2BRLTT7AVE— " ) —
RZ2ERL 9,

' churn .
B Preview _. EE‘

@ Generate Modeling Mode

' |:| File @ Generate

" A

m%@mﬁ[

Model to Palette

Fitter .. h
Fank ol I re l LD w
Rank Field I Measurement Importance Walue
|2| 1 Q}tenure ﬁ Cortinuous |i| Importart 1.0 B
m 2 {@} loglong ﬁ Continuous Ii‘ Important 1.0
[+ 3/ equip @5 Mominal [%] Importart 1.0
m 4 {@} longten ﬁ Continuous Ii‘ Important 1.0
IEI o Q} employ .& Cortinuous Ii| Importart 1.0
m B {@} longmon ﬁ Continuous Ii‘ Important 1.0
] 7/ internet @iy Maminal (& mportant 1.0
m g {@} equipmon ﬁ Continuous Ii‘ Important 1.0
m 9 @ age ‘f Continuous |i| Importart 1.0
W 10 &2 ehil @5 Mominal [%]mportart 1.0
|?| 11 @ address ‘ﬁ Continuous |i| Importart 1.0
m 12 {@} callcard 6’5 Mominal Ii‘ Important 1.0
|?| 13 @ cardten ‘f Continuous Ii‘ Importart 1.0
W 14 @ ed ol oreinl [%]mportart 1.0
|?| 13 @ tolten ‘f Continuous Ii‘ Importart 1.0
W 16 @p custeat @iy Mominal [%|mportart 1.0
|?| 17 @ voice ‘b Momiral Ii‘ Importart 1.0
m 18 Q} cardmon ﬁ Continuous IE Impottant 1.0
[ 19 & logtol & Continuous [#Important 1.0
m 20 Q} wireless &5 Maminzl IE Impottant 1.0 - |

Selected fields: 27 Tatal fields available: 41

‘ A-095 [F<=095 [#]<09

3 Screened Fields

Field Measurement Reazon
D @ retire &5 Mominal Single category too large
D {@} logire: f CortinuoLis Too many missing values
D @} logegui f Continuous Coefficient of variation below threshold

157. 74 =)V RER ) — KBS0 74NV E— - ) —FDHAERK
telco.sav 7 7 A VD TR TD T — X BRI D FRITRIZNEDODITTIEH D FHA, FHIEE LT
AT 5-DICEBEEEZONE T —RZITEREIRTE7-0D1Z, 74 VE2—%2[HLET,

7. T74NVR—D%EK] X477 - Ry Z2AT [Y—IFADTRTDT 4 — )V R: EE| ZERL,
OK] #2277V vy 2 L%,

8. HEHEINAZTANR— /) —RNET—XB) —FIZHKHL X T,
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DGenerﬂte Filter from Featu...
ode: @ Include ©) Exclude

@ selected figlds

@

i_-_ﬂ li‘ Important

[j Marginzl

[ =] unimportart
(@) Top numkber of fields :
@) Importance areater than; 0EGT o

(oK J [cancel] [ tew |

X 158. BER 7 1 —I)L K DER

9. F—KME ) —FEERINETANVR— - ) — FITHERL T,

T2BRE - NEAWT, %7 227Vv27ULEY,

10. 7—2RET I VT -0 IREfERE] 27T [HERBEOEG%)) Flz22Y) v 27 LT, BIEOR
JETHZY —bLET, 2I9HILT, KT —XDEVT 4 -V RERETE XY, 2054
F BET28HDOH DT 1 —)V RiX logtoll 7217 TT, ZHUISE T DEIAD 50% % Fll>TWE
ER

11. logtoll @ TRIFMEDIAL FIT,  THHEl 227V v 7 LET,

Data Audit of [28 fields] 72

BEr - E

la Fle  [SEdt ¥ Generate

| Budt || Guslity | annotations

Complete fields (9. [96.43% Complete records (%) |47.5%

Field Measurement Outliers: Extremes Action Impute Missing hethod % Complete “alid

{} Iogtall ﬁ Continuous a4 0 Mone [ = |Fixed 475

tenure ﬁ CortinuaLs a 0 Mane Mever Finead 100
{} age ﬁ Continuous ] 0 Mone Blank Values Fixed 100
{{4}} address ﬁ CortinuaLs 12 0 Mane MUl Walues Finedd 100
{} income ‘f Continuous a & Mone Bilank & Hull valudFi=ed 100
Cred ol orinal = e sy Fixed 100
{} employ ‘f Cortinuous g 0 Mone Specify Fixzed 100

equip & Flag i o Fixed 100
{} callcard 8 Flag -- - - Merver Fixed 100
{1‘3} wirgless 8 Flag -- - - Mereer Fized 100
{{é} longman ‘ﬁ Continuous 18 4 Mone Merver Fixed 100
{1‘3} tollman ﬁ Continuous a 1 Mane Mereer Fized 100
{@} ecjuipman .& Cortinuos 2 0 Mone Meswver Fixed 100
{1‘3} cardman ﬁ Continuous 11 3 Mane Mereer Fized 100
{{4}} wWiFEman ﬁ CortinuaLs =] 1 Mane ewver Finedd 100
{{é} Iongten ﬁ Continuous 20 4 Mane Mereer Fized 100
{{e}tolnen ﬁ CortinuaLs 18 2 Mane ewver Finedd 100
{} cardten f Continuous 11 B Mone Merver Fixed 100
O3 vaice 2 Flaa -- -l Mewver Finedd 100

159. logtoll D RIBEDRA

12 MRAK) T, TEpfEe o) 2#R0UEd, TEE] T EEE] 28R 0. TOK) 227V
v 7 UET,
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EfE] 28R 5 &0 RALMED, 2FT—

Foo

Imputation Settings

[X]

Impute when:

Condition:

Fixed as:

L

Impute Fixed Yalues

Field: logtoll

Impute Methoc:

Starage: @ Real

Blank & Mull valuss ™

[Fixed

Mean

| constant

Mean
Mic-Fange %

B 160. AT DER

13. T—XRET I VY- [RifERE] 27 C, REMEA—"—/ —F2ERLET, Tz

F. AZa =S ROEEZERL £,

MEp) > TREMHEA—/1N—/—F]

i - - o
Data Audit of [28 fields] #4

ladFile | Edt ¥ Generate =
Missing Yalues Supertade %
Cutlier & Extreme =
Eompleterickd=or): Mizzing “alues Fitter Mode 2%
~ Fiend Mesipoivaliessocetiiony Exdremes Action Impute Missing | Method | % Complete | vald

@ logtall 0 Mone Elank & Mull “/al... Fixed 475
@ tenure 0 Mone Mever Fixed 100
@ age 0 Mone Mever Fixed 100
@ address 0 Mone Mever Fixed 100
@ income & Mone Mever Fixed 100
@ ed o - Mever Fixed 100
@ employ Graph Mode 0 Mone Mever Fixed 100
@ equip &D—Nﬁfnal = |- Mever Fixed 100
@ callcard &) Maminal - - Mever Fixed 100
@ wireless &3 Mominal - - Mever Fixed 100
@ longman y Continuous 18 4 Mone Mever Fixed 100
@ tollmon y Continuous 2] 1 Mone Mever Fixed 100
@ equipmon y Continuous 2 0 Mone Mever Fixed 100

cardman y Continuous 11 3 Mone Mever Fixed 100
@ wwireman y Continuous g 1 Mone Mever Fixed 100
@ longten y Continuous 20 4 Mone Mever Fixed 100
@tolnen y Continuous 18 2 Mone Mever Fixed 100
@ carcten y Continuous 11 & Mone Mever Fixed 100
@ waOice &) Maminal - - Mever Fixed 100

paer &) Morminal - - - Mever Fixed 100
@ internet &) Maminal - - Mever Fixed 100
@ callwait &) Maminal - - Mever Fixed 100
@ confer &) Maminal - - Mever Fixed 100
& ehil @0 Maminal = BE Mever Fixed 100
@ Inglang y Continuous 4 0 Mone Mever Fixed 100

Inine: & Continuous ] 0 Mone [erver Fixed 100 ]

X 161. RIEEA—— ) — RDHERK

[REFEA——) — K] ZBA470aF - Rw T AT,

[OKJ] 22V w2 L%ET,

13 T EAGEERMOBN (CHo VAT ¢ v 7 [l

(B> 7N 1 X1 % 50% 2L,

ZOHDTRTOMOEIIZEEEL RIFLU FH

Iz
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A==/ — KA, [REFEORA] WS ZA MLT, AN —LAHESICRRINE T,
14, A—=NX—)—FR%&2 74— ) —RIZERLET,

[@] Missing Values SuperNode |2

Generste Supertode for:

@ all figlds ©) Selected figlds only

Sample Size (%) 2000

(o] (canenl)

X 162. > TN - A ZDHEE

15. AYVATAwY « J—R&BA—)—/) =N |ZEMLET,
16. BVAT 4w - /) —KRT IEFN] ZT%22Yvy oL, THRA] Juor—Yvy—%2ERLET,
(THEHAO7a Yy =Yy — | T, [BEEMAT Yy 774 Xk 2#RUET,

Ed churn

Model name: @ Auts © Custom

@ Use partitioned data
E Build model for each split

Procedure: @) Multinormisl @ Binomial

rBinotial Procedure

Categarical Inputs:

Field Matne |Cc-ntrast EBaze Category |

@ Include constant in eguation

X 163. EFI) - F T a v OER

17. TZF2X—=F] 27T [ZF 28— E—REZBRL TS, O 220y 2 0%d, (&
MHEH Xa7ad - Ry ZARERREINET,

18.  TEEMIH ) Ka7u s, [£Rl 247 LT RAFy FT) 28 WU EY, [KEEE B
O TRTA—=X—HEME] 2&RL, OK] 22V v 7L %7,
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ﬂ Logistic Regression: Advanced Output

Display: @ At each step At last step

m teration histary @ Parameter estimates

|:| Classification plots |:| Hosmer-Lemeshow goodness-of-fit

[ <1 for exp(B) (36) a5 /e
l_—_| Residual Diagnosis
@ ot o . :

(L6 [caneat | | bein|

Clazsification cutaff:

164. H 1A 7> a v OER

EFILDSHR
1. AVAT4 v - /) —NKT,

EFI)N - FT Yy MBRA RN — L, BXOCELEBEO I£57)0] Sy MZEINENET,
T512F. ETFTNV - F XY EEZY Y2 LT,

[E)] X712, EFIVCHHAINZRNREIOCAN (FHEIEZ «+ —)L R) 2 (fhoIEHE 2 £12) *

(E47) 22V w2 UTETIVEERLET,

(W] F7-1% TR 28RUET,

Al & 2R

RENET, 72720, INSIEFMRHFTE7-2DICFRRINZERLY A MTIERL, BN ATy 77

A RIFEINZEEDVTEBRITEIREINZT7 4 =V R TT,

3

13 7 BREFESLOME (CHB Y AT 1 v 7 [HlE)
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kd churn
: ?, }nﬂ Filg @Qenerate

Summary | Advanced

W

o Analysis o~
El-Fiels

f tenure

f employ

8 eguip

8 callcard

f cardman

8 woice

8 internet

f Ininc:

E-Build Seftings

' lze parttioned data: falze
Calculste variable importance: false
E""Calculate rawe propensity scores: false
g""Procedure: Binomial

' Mocel type: Main Effects

Include constant in equation; true

=

X 165. HRBLICANT 4 — IV EBRRREINZETIVOER

(FEM) X 7ICRRINDEEIZ, vV AT o v 2 - /=KD [EElE ] X478 - Ry 7 AT
RanzA7vavickoTHRED T, HIZRREINE 1 DOHEHIK, L= — 2D
TY, ZHE, DFCEENTVWALI-ROBBLVEE2EXRLET, 5612, 1 DU EDALY
14 =V RDFALRADIGZEIZ, REUIZT—ADD25E51%. TOHREVAMNLET, FERINA
Molzr—ADHEV AR LET,
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R

}i‘." File @ Generate

e

Logistic Regression

Case Prncessing Summarjf_ ]

Unweighted Cases(a) | H || Percent
| ncluded in Analysis || 1000 100.0
Selected Cases Missing Cases | 1] .0 |
Total 1000 100.0
Unselected Cases 0 A .
Total 1000 | 100.0

Cases.

a. If weeight iz in effect, see classification table for the total number of

Dependent Variable Encoding

Original Value |Internal Value

No | ol

]

[F

[ epot | eeet

X 166. JUERL 7270 — A DBLHY

2. T U7 —ZADERN] oA 7u0—L Xy LT, 7uv 2 0: 7oy 720 FTOSEE 2 FHx

bi‘j_c

BEISEIMA Ty 70 A ZFFIRBRRE T VOB L 3, RBEKHE T VIEFIEDO LR WETILT
Ho, HEENVN - ETVOHKOEBEE UTHATEET, REEHET VL, BNk, 3T
DHED%E 0 LLTTFHITEDOT, REREETIVIE 72.6% DIEETYT, ZHUTHMIZ, BHL R -
7z 726 AOHBHBDPIELL PHIENBE72DTT, 72770, M UIZBEEIZOWTIK, £o72<ELL ¥

WENnxEA,

513 B ESBE RO (ZHD YT 1 v 2 [llE)
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&nﬁ File @ Generate

V.4

b

k. Initial -2 Log Likelihood: 1174.394
.. Estithation terminated at teration number 4 because parameter estimates
changed by less than 000,
Class_il_'lc_aj'.ion Table(a,b)
Predicted
churn
Percentage Correct
Observed Ho |Yes
Ho | 726 1} 100.0
churn —
Step 0 Yes |274 a ]
Overall
726
Percentage
a. Constart is included in the mocel.
b. The cut walue iz 200 |
Variables in the Equation =2}
I T T T T — T il el
—— [F]

| ok || cancel]

X 167. 40¥EF - Tav o 0 OREA

3. FNTIX, AZa—=) Xy UT, 7av 2 1. ik = BEIEMAT Yy T4 ZEO FOoEFE2 R
/j——\.bi—g_o

COREERETIE, ATy TTLIZFHENEMEI N EOETLVOMENREINF T, Bz, YD

AFw 7T, 1 D2OFHEDO AZMFHL-HT, EFTNLTIE., BHTRIOKEED 0.0% 5 29.9% I
FRLTWET,
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,@ File @ Generate

V. 4

Classification Table{a)
Predicted
churn |
-| Percentage Correct
Observed Ho |Yes |
Mo ||e6a | S8 520
churn
Step 1 Yes |192 | 82 239
Owerall
750
Percentage
Ho |657 | 69 0.5
churn
Step 2 Yes |160 | 114 416
Overall
7ra
Percentage
Ho | 661 65 1.0
churn
Step 3 Yes |[153 [ 121 442

[

X 168. 43¥E% - 7av o 1

4. ZONEROHEFHETAZU—ALRTI LV LET,

DERIIBBDOAT Y TRATY T 8§ THLHZEZRLUTWET, ZOBRBTTY LI ALXETNVICTF
HEZEINT 2 Z EDH IZPBERNVEHE L £ U7z, R ARVWEEDREND LA LT 91.2% 274
STWETH, BHLUZBEEDO FHKEEIX. 750 0% 55 47.1% ([ZEFLUTWwWET, 2k, FHlEZ
LU RWIEDIRIEKHE T2 6 O KIER [ ETT,

513 B ESBE RO (ZHD YT 1 v 2 [llE)
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Ed churn

% | 'L:; File @ Generate

———

i []
Overall =N
787
Percentage
Ho |657 | &9 0.5
churn
Step 7 Yes 144 [ 130 47 .4
P::::.:ge 8
E |
Ho |662 | &4 1.2
churn -
Step 8 Yes 145 | 129 471
Overall
Percentage 91
a. The cut walue iz 500
Variables in the Equation )
B S.E. | Wald || df |Sig. || Exp(B)
tenure -046 || 004 : 123346 || 1 | 000 455
Step 1(a) - ~ - =
 ad AET A3F A4 =74 1 nlnk] 4 | L |
[ — [*]

X 169. 43¥E% - 7av o 1

A2 S LI WEE OGS, R ZHEDICES T eNTELI0RSIE, NAANY —L25#T 3 E
TRERATY ST ET,

H: Zoflclk, 2R0EEZETIVORBEDTA R UTHEHT S HEDR, —Hor—2c, IA)—F
AR BIERHEIEERINTVET, TORERHETIVIE 72.6% DEEEETH S, K
MFPUETIVOREKEEIX 791% TL7Z, UL, ATEREB0, ZBEOME4 D T IV —FHIOKE
FRELESTVWEL

ETADVEBIZT—RIZENIEE D FHEET 20 25H0IT 5720, TETFTIVEMEET S L 12, FHH
Nl BAT70T - Ry JATIFIERSWAEZMHTZ2Z N TE£9, IBM SPSS Modeler Cfif
XNDETNMERSGEDBFEN R REBEOHTBIZOWTIX, 1 VA M=)V - T4 A2 D ¥Documentation T 41
L2 M) —iZdH 5 [IBM SPSS Modeler 7)V3IV XL - 514 F] 2BLTLEIW,

INSDHERIFIFE T —XOAIEDIL I LIZFEELTLEEI VW, ETAREROEROMD T —XIZEN
IS EL LS NE D E2FHET 5121, T—XX4L//—RZ2FEHALT, TAMBLXOHGOHKTL O
— KoY Ty b EERLET,
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£ 14 & FEBOFARTDOTFA (FFR5)

BRERS/ — RICK 2 T8

EEBBEO T =RV R - 7anNt X—=D7F ) A M, WEHIEBOMARIZ FHITS7-012, 2—9—
TABDOFREERT B2HERH D £, Fillld, 2EZIMAZTR =2 2RI M A1 T LIZBET
ER éiéi&ﬂﬁ$%®'é3WE®%M%W%?6# WHERIIETVEFEALE T, 2 HHOHIT
X, V—A - abﬁfﬂ/—waﬁ?é#@wmbw%ﬁfiaw% DT —RDOEHSEERL F
ER

NS OHITIE, broadband_1.sav NI T—R& « 77 AN %EBWT D broadband_create_models.str £ \»> A
M) —LZBHLEST, ZHhoD7 710k, IBM SPSS Modeler o ¥ A~ —VEHED Demos 7 VX

—ZHhVET, TOT 4L Z MY —iZiE, Windows ® [AX—hF] A=2—0 IBM SPSS Modeler 71
TS0 TN —TnoT7 v A TEET, broadband_create_models.str 7 7 1 VL. streams 7 #* VX —WHNIZ
HoET,

REOHITIX, FHZISIZ 3 WTARETS/-DI1Z, BEHLZT—X -2y MEELZET VR EAT
5 5HiEERUET,

IBM SPSS Modeler Tl&, 1 [EDEETERDORERYIET NV EERTEET, HHTEZY R - 771
121k 85 DELIZTHGORRINT —ANEENTVWET, 720, BT 572012, T RTOFHLOEEH
. Ihs0EDSL 5 oF T EETFIUELE T,

broadband _l.sav T—2X + 7 7 A VIZiE, 85 OMATHIBOEFNFNOARFHT — X BREENTVET, 2
OHITIE, BHD 5 DORINDAZFHLET, TH5D 5 DDRINDZNTNIZDWNTDERDE TV
CERDETFTIVEERLET,

D7 74N, ENEFNDOLI—-—RFOHEFEZRTHN 7=V FEEENTVWEST, ZTDT7 1=K
i, VIa—RIZIRNWENITEOICHHINE T, H7 4« —)L i IBM SPSS Modeler (2355 Thi
AAFENETH, IBM SPSS Modeler TZD 7 4 —)VRZ{HiHT 5728, B/ —RKz2HHLT, A ML
= RA TEBMEOHMNOERIZEBL £,
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— - . - - -

."\-; £ ;:\ AN /e

i 5 | | -l

\ )).r —l \ _‘__ e—lrmen \‘-.'+—'3j."' —lim- —j.—b
broadbahd_1.sav Filter Filler e

1 FAY y
== £\ :
Table [Market_1 Market 2 M.. _" G fields

. — ) o Jr‘.-\
LEL*_QV—*UEE

Table Gfields [Market_1 $TS-Market..
170. WERFIE TIAERERTH > TN - A MY — L4

KR51 ./ — R Tl &R0~ DFNZRLE S v, KT 22 1 7AW E TY, IBM SPSS Modeler 13,
CORRTHEST S L1, BBEITIGUTT — X 22T 2 HEE2RML 9,

| Table (89 fields, 60 records)

| File |5 Edt 1) Generate

Market_1 [Market_2 |Market_3 [Market_d |Market_5 [Market_6 |Market_7 [Market_& |Mar
1 3750 11489 11859 4571 2208 5488 G144 2353 s4]<
3 3846 11984 12228 4825 2301 [SETZ 6390 2404 516
3 3894 12266 12897 5041 2352 sA0z  BET0 (2489 523
4 4010 12801 13716 5211 2490 5339 5929 2574 540
5 4147 13291 14647 5383 253 G017 7312 2854 554
6
7
g

4335 13828 15419 5496 2664 6137 7493 2699 577
4334 14273 16108 o747 2738 5230 770z 2786 240,

4744 14664 16958 2885 2754 65439 7965 2547 GO0
9 4333 13130 17642 B033 2874 &7 107 2957 513
10 3020 15851 18453 5229 24975 6957 G366 3099 634
1l 2208 16309 19181 B320 3042 111 604 393 GE3
12 3378 17225 19885 5493 3095 7275 §ag7 33 G7E:
1l 3374 18173 203635 6393 3199 7380 9326 J3VE 702
14 828 18287 21155 BEE0 3207 7633 93543 3443 733
1 5942 20171 21855 ETa7 3298 7983 AET3 3617 7499
16 6139 21379 21964 G504 3387 5236 9934 3732 771
1T G244 22067 22756 E915 3450 G464 10211 3831 794
18 6274 23074 23464 7035 3528 8575 10440 3556 29
13 6347 23729 24324 7151 3546 8317 10763 3938 G55
20 6399 24803 25351 T304 3604 9041 11012 3953 5711+ |

[ [M]

171. 78— RNy RG5O ARMART — &

AN —LDER
1. HHEDOANY —L%EAMERK LU, broadband_1.sav %+%8 LR Statistics 7 7 TV AT/ — REZEBIMLE T,

2. TA4NKR— -+ ) —FRZEMHLT [Market 6] Do [Market 85] FTDT7 4 —)IL K, BLY
[MONTH_| & TYEAR_| 74—V RZRALT, EFVEHHMAL T,
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by b EBOBETST7 -V FE 1 BOBETERT B2, [Market 6] 71—V K%227 ) v o
U, XUADERREMUBHNS [Market_85] 74—V REFTYURERI VI LET, EIRSINEZT
4 =)V RPRFOITEAFRINE T, TOMDT 1+ =)L REEMTBI121E, Cirl F—2MLUEHS
TMONTH_| & [YEAR ] 74—V K%&2ZVv 7 LET,

EdFilter
=Y = ==
\ o

—_—

’ 1

Filterh Annotstions :

| bifiisesiesial
\?'_ m Fields: 83 in, 82 filtered, 0 renamed, 7 out
Field Filter Field

Market_50 > Market 80 =
Market_51 > hiarket 81

Market_52 > Market 52

Market_&3 > hiarket_53

Market_54 > Market 54

Market_85 > Market_85

Total — Total

YEAR_ > YEAR_

MOMTH_ B FACHIMTH_

DATE_ —_— DATE_ -
@ view current fields “iewy unuzed field settings
(o] (cancel

X 172. €57 LD HHl

T — 4 DIREE

ETNEMET I, FHTLE2T—XOMEZEMLUTE I 288D L 7., 20T — RITITF{HE
FHRROSNEZTL EOh, TFAN= - BT 7 —IXHBNICE RN o 2 FHIVE T TV F 72 13EFEiE
EFNERDITBIENTEETA, T BT — XICEHIMEDRRWVGE IZME 2 IESHIMEE TIVIZEET
5Z2T, 2L DEGIF, LDESKEREZIETEET, S ATHEZOT—X2MAELAR<TH, 5 DD
BT RTOMAEZE R A 70y N2 2 TCEHMOEREEL KENICHIBTEET,
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Pict: @ Selected series © Selected Time Series models

& Tatal

Series:

X axis lsbel, @ Defaut © Custom I

Display series in separate panels

Display: Line
[ Pairt
Smoother

Limit records  Maximum number of records to plot; 2000

173. THAEZRE DO 7o v

(7271 Ny hdb, KRAI —RET7 4V R— - ) —FNIZERLET,

[&5H 74— F% [RF0] )V AMENMLUET,
THDONIIVIZRERINZERR ] BLC TEHL] Fxv o - Ry 7 Z0EREZMIRL £,
(%17 22 Vv 2 LET,

L

I Fle  |SEdt ¥ cenerate  &F view

2500000 -1 R e e /
o
: : : : : ' .| —Total
200000070 P P — _— /,y” _______ -
: : : : B : :
1500000~ -4~ oo e [N, NI
Z i ] e : : Z
1000000 4=~ -==-~~ // ------- e
1 /-r"'—-- ' ! ' ' '
500000 1”' ------ | —————————— | ---------- f --------- | ......... | _________ |
0 10 20 a0 40 50 60

Record number

174. THEH 74—V K OKRS
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ZORE, EHIZHESDPBR EAMEAEZRLTEY, FHELBOFEZRTEDOEDD FHA, HeD
RINZOWTIE, ZHIMZR2 ORI BFHET A HHEEMIED D T2, 2EMZIZZDT—XIZEWTE
Witk 3B T IERwWEEZONE T,

bbB A, FEMETNVERNT SN, 2 DRINZHFHND Z L IZHETT, £ I CEHikZRTR

Y HEL, ZhZz2BEIZET LTS 0Tl & 5,

IBM SPSS Modeler Z2#fd 5 &, EEORNZ IR Tay b T2 208 TEET,

[ [Total]

&

N\

=

Series:

X axis label:

[ 1 | |
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[ 7 stream. Click Save As Default to use these settings as the default for all your
|Date/Time
streams.
Number formats
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AL ERIUBAITRINET, MAXAE 13, RRFHEREZFA BN TRITEDT, FHIOKRED Y
FIAERUET,

IS O EIXEIRZE N DO TT 2, ZOHEIE. NERIVEBENPLEE T HTHEOMAFER 2 RKT
72, N—t v FEEDIE (MAPE 8 XU MAXAPE) O M3 &b £,

5 14 T WHIEORARROFH (KRH) 165



MAPE {5 &' MAXAPE EDRT AHEEMHIX, TOET N THAEINIBRETLEI D, 22T
WEH S DMZIEFIBRWMEE o TWE T, HBRTED ) AZIEMBIZIG U TELT 5720, 21>
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hroadbahd_2.sav Filter Filler Type

= 4 4
y G fields
Tahle

193. €T - F7 v v DSDETIVER S — KO

HLOWETILDOERK
1. BRAETIL - F7y 2L, fEE»SHIFRL 97,

HWET I, 60 TOTFT—RIZEDVWTHEINTVWE L, EHFADHLET —X (63 17) (2#HD
WCTHLULWET IV EZAERT 2HEDRHD £,

2. HUSAERINRRIIER ) — FE2 A M) —AIZHH LT,

brnadbal\d_lsav Filter Filler Type A fields

194, A RV —LADETFIMER ) — K O

3. WRA —FahExd,

4. [EFNV - A Fvayv)] 270, BEOETIVEFEHLUTCHEEREIT] ITFzvy - I—22DBHIT5
NTWAZ L Z2MERLET,
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Fields Data Specifications  Build Options  Madel Gplions Annotations

Model narme: @ Auto © Custom

Canfidence limit width (%)

E_QEECnﬂtinue estimation using existing model(s)

["] Build scoring model anly

Forecast

[+ Extend recards into the future

[] Campute future values of inputs

EQ

Make Available for Scoring

,i . Predicted value and confidence are always available far scoring
—
[ Calculate upper and lower confidence limits

[] Calculate noise residuals
195. WeRFE TIVIZLRAF S N7z 3 E D BRI

5. TLa—FOWFRADIEIE] M 3 ITREINTWBEZ L2 BRLET,
6. [FEi7] 27V v 2 ULUTHLWVWETI - 7y b2EEEIC TEFIV] Ny MZEBEL £,

FTLWETILOWMEE

1. =70 —F%, SHBAOHLVERFIETIL - F7y MoEREL X7,

2. 7=l —=FERVWT, TFEfF] 22Vvy27L%F7,
BEIN-ZEEZHAEALTWS 2O, TLWETILTE 3 AHEFTYHENET, 72770, #iE
WA 1 ATidm 3 AT 35720, Sk 4 ANS 6 HET (64 5 66 DIT) RTHIEH
9,
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-

Tahle (26 fields, 66 recards)

| File | 5 Edit

Tahle' Annotations

3 Generate

FTS-Market_4 | $TSLC-Market_d4 | $TSUCKMarket_4 |$TS-Total  [$TSLCHTotal [$TSL
47 13460.165 13046.567 13883.520 180564552 18007A8.484 100[<]
43 13637.234 13218196 14066159 1920821.249 1924806.501 183
49 14038478 13607.110 14480.023 1974007314 1968877.747 107
50 14588176 14139917 16047.010 20170683.960 2011822.507 202
51 14826444 14370864 16262.773 2055709.852 2050367.876 206
52 16328900 14857.881 16811.032 2004273.974 2088831.887 204
53 16403.883 14830.559 16888.373 2131431802 2125893.258 213
54 16187.796 16690.385 1BROA.842 21BE720.836 2163084.271 217
55 16303.304 16802.343 16E16.083 2204919.579 2199189.973 221
56 17250576 16720508 17763.148 2235223.381 2220415030 224
57 17616.290 17074.985 19170.366 2278910104 2272888.230 229
53 17639.270 17097.259 191694.068 2316079.288 2310060.827 232
59 17552.150 17012.816 19104.200 2365228.381  2348108.190 226
B0 17499120 1BOE1 415 18049.510 2406836.211 2400581.914 241
B 18183.056 17624.336 19754.058 2453038.341 244BRR1.985 245
52 18512777 17843.925 19085.050 24096354.087 2480867172 250
B3 19125395 18537.719 19726.096 2643477.283 2636067816 255
54 19384.782 18795.829 20004.796 2681510.338 2674802140 258
55 19387.631 18551.501 20251.298 2625230895 2611195788 263
BB 19550898 18525803 20R17.962 2660744972 2B4B5R5.400 260|%

1] —— [*]

X 196. HHLUWFREZRLTWETF—T )

3.

BRI 7S57 - ) —RERRVIETIL - F7y Mok L £9°,

SlENE, FHZRERYIE TIOVAICERG S N RERFIERRZHAL 7,
ey b] 27T, IXEIZTNV] &2 T2—Y—45E] IZREL., Date_ ZENLU T,
[Fay bzl T, NERINZERIIET IV ATV a vEERLET,

6. [RH] VART, 74—V NERKXZT7Y) v 7L, T$§TS-Market 4] 7 1 —)L N & ER L,
[OK| 227V vy 27 LTYAMIBENLET,

% 14 T HIRIEORMAPRI D T (FR451)
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I

W [Market_4 $TS-Market_d $TSLCI-Market_4 $TSUCL-Market_4]w. DATE [3m]

&

Plot Appearance Output Annotations

Plot: © Selected series @! Selactad Time Series mndels§

&7 $TS-Market_4
Series: [ﬁ]
p s
_ 5 n o D8 |
7
-
-l

[ Limit records  Maximum number of records to plot; 2000 E

Lok ][ Run [ cance] _2opty || Resst|

197. 70w b ¥ 574 —ILFDIEE
7. [EfT)] 22Vv 2 ULET,

2004 4 3 HE TD Market_4 OFEFEDFED EIFe, 2004 4 6 HETOFHl (F/) 780 EIFB X OEH
X4 (GETHET INER) 21377 70ERSINE T,

A OH & FREIZ. PHEEIZZ OMBEITROEBEOTF —X EBERELTEY, BNAEETFLTHEIENREN
TWET,
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s Eile

5 Edit

Graph | Annotations

3 Generate

:sf ie

Time plot of [Market_4 $TS-Market_4 $TSLCI-Market_4 $TSUCI-Market 4] w. DATE | — || & |3

Judl

$TS-Market_4

i i i i i i i
Jan-1999  Jan-2000  Jan-2001  Jan-2002  Jan-2003  Jan-2004  Jan-2005

DATE_

ox

® Actual
— Predicted

198. 6 AF CIE XN FHl

e

FOHLWT=ZPRHTE L LS 125812, (RMFLEET NV EBEME L TRRIO FHl &2 IR S 2 Hik

WIZDOWTEHLE L7z, 512,

WIS U e e RIS NEEANHONIE, ZTDET IV ZHHEET 2 HENH D £,

% 14 =

w

S D F PRI D T} (5% 51)

ETNVEHEETLIERSEGTTLIENTEE LR, £BHA. BT

177
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15 B A5 OJ7RTOTFA (BFR)

hxua et @E 10 FROBGET —RIZEISHMERS 1 o HFRFGEOFRIZELEZRLTVWE
j—o

ZDEITIE. catalog_seasfac.sav £ \ND T =X « 77 A NESZHT D catalog_forecast.str L \VND A MY —L%
fiHLES, 206D 7 71 )id, IBM SPSS Modeler 1 ¥ A b — VI AEBID Demos 74 L7~V —

ZhvEd, TOT 4L 27 MY —iZik, Windows ® [AX—F] A=a2—0 IBM SPSS Modeler 712
7Lx TN—TD6T 7 ATEET, catalog_forecast.str 7 7 A VI, streams T4 L 27 MU —NIZH D £
ER

WOHITIE, BRINCHREBRET IV EZF A=) - ETIVIIRES L HiEEHERLELZ, 22T
ﬁ\%TW%gﬁT%mT5 ABIZFHTE S 2 DO (BBCEEES ARIMA) 12D\ CREMNIZRET
LET,

WURETNERET 012, $THERIZ 70y hTE3DFEBWEZTY, BRI EHEKREIZ. %<

DG, ERELET2WOBECRDET, B2, MFORIIZOWTHMT 2H8ER DD 7,

o RINFIEEHRHZ IV Y RZRLTWVWED, UTIEHFEZHE, TOM LY RE—ELEEDIZR X 5H.
FhEeHEHOREE LHIZFET B L DITRZ 50,

o RINIFTHIMEZRLUTWEH, UTXF L2546, FHNAZHIIREOREE L HIZKELB>TWVWS
. HEVIEBEOHBITE L TWA X DIZRZ 5D,

2 M) — LD
1. FULWANY—L%ZERU. catalog_seasfac.sav % 5 LS Statistics 7 7 1V AT/ — RZBHU £
j—o

1
catalog_seasfac.s mgn

vy —
mern [men §TS-men]v. dat.
X 199. H1 X0 ZHrFEO Tl

2. IBM SPSS Statistics 7 7 TV AN/ —FZ2FE, [F—28] X T72ERL T,
3. MEDEFARAAR] 270y 7L TH6, FOKJ ) w o7 LET,
4. THEM) 74— FD B8 #2220 v 2oL, %E%2 W4 c&xELET,
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catalng_seasfac.sav

| Fisl | Messurement | Values | Missing | Check | Rl
] date &7 Continuous [0000-12... Mone & Mone
{1’}} =y ﬁ Continuauis [3245.185,.. Mone @ Taroet

@' WOMen ﬁ Continuous [16573.9... [Mone & Mone
@jewel ﬁ Continuaus [2983.55,... Mone & Mone
{} il ﬁ Continuauis [1147 15... Mone &) Mone
_{} page ﬁ Continuous [51,114] |Mone & Mone
_{} phone ﬁ Continuaus [17,59] Mone & Mone
@ parinit ﬁ Continuaus [18081 .2,... Mone & Mone
_{} zervice ﬁ Continuous [1:3,68] |Mone & Mone
{3 YEAR_ @0 Mominal 1989,199... Mane ) Mone

@ wiew current fields () View unuzed fisld zettings

[Lore J [ cancet | apy || meset

200. W7 14— FDIEE

5. OITRTOT7 4=V NOEEZ (720 Z@EL, [OK] 22V vy 2 LET,

6. IBM SPSS Statistics 7 7 1 W AJ / — RIZHERA 2T 7ERR ) — R 2 HEH L £ 7,

7. WRH 57 - ) —=REE, [Tov ] 27T, [RF) VAN men ZEMMLET,
8. IXHhHT~)V] &2 [2—Y—48E] IZHEL. date ZHERL 7,

9. [EH] Fzv o - Ry 2722 2)7LFT,
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Plat: @ Selected series @ Selected Time Series models

Series:

H axis lahel:
Display series in separate panels

Display:

Lirmit recards  Maximum number of recards to plot; 2000 ﬁ

& men

Line
Paoint
Smoather

€ Default @ Custam

[ ]

201. WERFID 7 ay b

10.

[E17) 22V v 2 LET,

%15 B Axu R0 Tl (KR5)
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F—4 DIEE

40000
30000

5

£ 20000

10000

O R CenEE IR R SRR

I I I I I I
1988-01-01  1990-01-01 1992-01-01 1994-01-01  1996-01-01 1995-01-01
date

X 202. fEIROEREDED LI

ORINE AN EFMEAZRLTWET, 2XD, RIUEIRERIICEMNT 2 HAAH 0 £, EAME
AR5 —ETHY, ML Y RERLTOVET,

¥/, ZORINET I 7OBEIFTRINDS L D12, HE 12 AiZ72 0 BT X 5 &\ S Bk Z=EipE S
A—=VERUTVWET, RHNDEFMETE & HIZFEHLEEDKE K REETHR S, MINWZFEEIEClE R
HHBEHZEIMZ2REBLTWVET,

1. TOKJ #27VvwzLT7my h2BUET,

RO ZRER L 7Z2DT, T2 ET LT 2HEMAETEE L, LU R, ZHiME, 2 F0MG%

R RN EFHIT 2561, BECEEIENEI L 3, BRICHRLZ X512, 207 —XIE GOk % R
LTWET,

BEFER
BEZEECERIEE T VOMETIE, TFTIV - X4 TOHE (FDETADN MLV R, FBHiME, /220
M HE2EORBRERDZNESID) &, BIRUAEZETVORERNNT A =X —DEEMTbNET,

MEIROBRKKZ 5 FiFo 7oy Tl SNV YR - avFE—3x Y MBI OCHEREHINED Y R—2
YMOWHERDODETINRBENE L, 21X Winters ETF NV ZEKRLUE T, 72770, £9. HifiE
FI (ML Y RBXUEHEMAL) Z2#A& L, RIZ Holt DEFILVERIL ML > RZ2E A, FHitE2L) 23
RET, TN ETADT—RXITHA LR WEGAEZRET 2MEIZR0D £ (TNIXETIOVREEIZEIIT
DI RPERVAFILTY),
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Fields Data Specifications Build Options | model Options  Annotations

Select an itermn:

| General Method: iExpunential Smoathing = 5
Qutput
Model Type
@ Simple {2 Simple seasaonal

) Holt's lineartrend & Winters' additive
© BErown's linear trend & Winters' multiplicative
©) Damped trend

X 203. f8ECEEIEDREE

B P BOE BB E T SR £ 3,

1. KR¥/—FKZ2AMY)—=LIZEIMUTARD/ —RIiZERLET,

2. [F—=x4gwl 270 [8HA] 4 >0T, THMMWEEL 74—V K] LU T date 2#KLE T,
3. [HMX%y)] LT TH] 2#RUXT,

Fields Data Specifications | Build Options  Madel Cptions | Annotations

Select an item:

@ Observations are specified by a datettime field
Dateftime field:

Time Interal
& date e

Agaregation and Distribiution

Chsemations

Missing Yalue Handling Time interval: |Months |

204. WX 5 D%

4. ERRA TV av) 270 T2 ~q1 T, [HiEl 2 [HEECEEL) C&REULET,
5. [E£FNV X147 2 [TV TR ELET,
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Fields Data Specifications Build Options ' Model Options  Annotations

aelect an itern:

|General Method: ;Expnnential Smoothing = 5
Qutput
hodel Type
@ Simple 2 Simple seasaonal

) Holt's lineartrend & Winters' additive
@ Brown's linear trend & Winters' multiplicative
) Damped trend

X 205. €T WAERGIEDRE

6. [FEFF] 22Vw 27 LTETN - F7y b EEKRLET,

"ﬂ.} [men $T5-rmen] w date

K

Plot Appearance Output Annotations

Flat: @ Selected series @ Selected Time Series models

&% men i
Series: &7 §T5-men ‘;
W axis label:  © Default @ Custorn & date |
7] Display series in separate panels  [] MNormalize
Display. [ Line
[] Paint
[ Smoother
[& Limit records  Maximum number of records to plot; 2000 E
[ oK ][Ic Egn_][ Car_mel] [ Apply ][ E_eset]

206. BRFIETFILOTaY b

7. BRI/ —REZETFIL - FrXy MIEHFELET,
8. [Zuwbl &7, Bl BXO I§TS-men] % [RH] VA MIEMUET,
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9.
10.

X o~V %2 Toa—H—5E) IZEREL, date ZERU T,
THIDNZINVICHERTEZRE] Fovy - Ay 2 Ae TEHIL] Fzv 27 - Ry 2x%22)7ULF
ER

11. T%Ef7) 22V v 2 ULFT,
4|:|U|:II:I_:"'"%"':'
e — e
0000 -4 - o hemmmmmm e _$TS'mEn
EDDDD_...E.........:......_.. RPECE L -4 - =-HE 1 -=d81-1 - .E_
10000 -3 i
(1= e e e

T i T f i T T
1988-01-01 1920-01-01 1292-01-01 1994-01-01 12996-01-011298-01-01 2000-01-01
date

207, WU FEHOTHIEE 71

12.

MM oy MEEBOTFT—2%2%KL, [$TS-men] ZRRIETFTILTT,

ZOEHETIVIX, EE WERNZ (o, PREV) ERMEAERLE TS FBHHEIEEI AT
FHA, ZOETFTIVIFMERSHTTEET,
[OK] 227V v 27 LTHRRINT + N2 ET,

Method: !Expl:unential Smuoothing I

Model Type

) Simple @) Simple seasonal

@ Haolt's Iineartrendé © winters' additive

@ Brown's linear trend @ Winters' multiplicative
@ Damped trend

208. Holt ®E T ILDER

13.
14.

15.
16.

Holt DFEIET NV EZHALUTAEL & 5, TNEFHIMEZIET 5 AMREMEIZE< 2D £928, Dl
LHMETILE D BB ML Y RBEFIUEINBIEZTTY,

MR/ — RZEBEELET,

WERA T av) 270 T2ff] <4 >T, THE @ TR 28Rz T. THE
MLV R] &UT (Holts ODFFFEI ML > N Z3#IRL £7,

[FEfT] 22Vv2LT, TNV F7ry bEEMEKRLZT,

RR%/ —RZFAESHEL, %7 22y 27 UL%T,
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| i | : ' : L
1111 EECTEEETETES PECTPRRTEFEEPPEETTS TREPE CRPEPIERTY FEEE EEre PEETE et Rt A R=gat (-l

20000-F=2=rserraerh e s ne Rk R - A
.1[:":”:":'_.._;_........;..... | el e e R R
U_.._;_........'r........_:........_'r.........:........._:_........:....

i i | i i i i
1888-01-01 1990-01-01 1992-01-01 1994-01-01 1998-01-011998-01-01 2000-01-01
date

X 209. Holt DFFEI MLV R - £EF)L

Holt DETIIVIFHEMET NV LD WS EFMAZRL 325, RO THIMIIEZER I NN
O, TOETFILEWETE T,

17. RRFo 0 v K2 ET,
M LARDRIFR 252 0 T 0w 7oy b, R b L > N EHBERFEMNEZRE LU ZE T VAR
XN ZBVHLUTLEZT W, LD 5T, Winters DETIINEMELTHELTWEEEZS
NEI,

Field_s'.D_ata.Speciﬂcatiuns_ Build OptiDHSEIMDdel_Optjnns_ Annotations

Eeléci a'ri itei:n:

General mMethod: EE}{pnnential Smoathing = |
Cutput
hodel Type
@ Simple 2 Simple seasonal

© Holt's linear trend @ Winters' additive
© Brown's linear trend @iWinters' multiplicativeé
&) Damped trend

210. Winters DE T )L DEIR

18. WpRF/ — FZHEEL X,

19. MERA T arv] 270 T2 <1 >T, [HiE 12 HEECEEL) 28R LT, THE
MUY K] &UT Winters Fi#E] ZERL 7,

20. TEf7] #2720V w7 ULT. EF) - F7y v 2EERKLET,
21. WERA —RzRE, (57 229y 2L %7,
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40000

men

300007 — §T5-men

20000

10000

i i i i i i i
i i i i i [ i
| b o e e T e L e e ey o Y VR T o TRV L TV L Y B i PRV frei R B eV LY VL £ e

] ] T ] T T ]
1988-01-01 1990-01-011992-01-01 1924-01-01 1996-01-01 1995-01-01 2000-01-01
date

211. Winters OHETEE T IV
MEDERIFIZAEDELE, ETNVIET—ZDO ML Y REEHIMEOMAZKMLTWET,

ZDF—XR kv MX 10 FEHOEDTT, 10 DFEHELY—IR R S50, ZHIXEE 12 BICRELTY
F9, PHEERIOREINZ 10 O —21F, EFBOT— X TCHEIZ—ERETS 10 O¥—2 2 L<EHLT
WE T,

72770, ZORRIZED, BECEEETIEORERBZEH D IZR>TWET, EF & FEOM G OILE D
WIZHEEHTBE, BEEINTVARVWERRMELE DL, £9,

FEUTEMZFIZEIAEM N Y ROETMLIZELD H 2 EE1E. FEBCEEERZEINT A2 VWO TL &
Do TDT—AD LS IZHIRMEMREE R T T IUET 55413, ARIMA FIEOMH %2 RT3 2 B8
»HHFET,

ARIMA

ARIMA FHTIE, RRINOBEHEE S 172 T IVIERICHE U 72 B AR B EISEY (ARIMA) €7 )LV %
ERCTE 9, ARIMA EFMIZIE, PL Y RBLXUOEEMEI Y R—% > bOETFIVERMAIZ, FBECEHE
EETLVE D BIEBI N HEMREINTOT, EFTNVICTFHEHEEZEDL R TEEHEEH £
‘j—o

GlEkiE FHMET NV EZHRET 2HEPH 2020 7 2ALDHNTOVTHE L £, Z DA HIkO HiX
b —2s, 0 LIFOEHOFIIELOWERIELD 2V OhDRFE LD L SITEL 2220
T BRICHALE Uz, BAO6ND PHMEICIE, BHRLZA R0 78, A20 70—V 8 ZIEHOE
FEAROE. NG OEH. B LUOEE Y —CAHLEFOBLH D £7,

ooz, FHNZEMNRTREIES D TL & 50, FHEZFEOET VX, FPHHEZ R WET IV X
DHEBIZENTWAETL & 52, ARIMA FEZFEHAT 2L, FHHEZKEOFHIET VEERL T, F
MR IZ B W T, PHEZ R 72 2WEBOEBEET VR LRIZEEENRD 2N E S D RERTE X T,

ARIMA Tk, HARGE, £, BIOBHFEHDIEFE. ZhoD Iy R—3 ¥ MIAT B FHitED

HEYDIEFLIETAI LIV ET IV EZMHARTEEZS, ZhoDaIVR—32 v NOREHEZ TETH
ETBDIE, ZRGEMMTEMHZ S HBE O D5 Tak A2m 5, ZOHIZOWTIE, ARIMA €5

WDERETXFAN—N - EFT—IZENEET,
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T—& -ty PNOZOMOEL E FHEBE LTRSS ZLI2&D, JVENLETVOMELZAAET,
TR LTEDIEmRBEIDEELNDZEDIE, BELZA X B TE (mail), #EZB T DR—VH
(page) . ZIEHDEFERIFRDEL (phone). JAHHIRIWIOEH (print), B L OBEZ T — B AHLH DL
(service) T,

="

G'cﬂtalng_semfﬂc.sm

B8
J (2 Retresh 3920 ]

FCLEQ DEMOS/cataloyg seasfac say

isRle g plieastlitlies g

| Field ' Measurement Values | Miszing | Check _' Fole

B date &7 Continuous [0000-12... Mone © Mone  [=
@' men ﬁ Continuous [324518,... Mone @ Target

{@} WY OIMEnN ﬁ Continuauis [16:3759... Mone &) Mone
{@}jewel ﬁ Continuaus [2983.55,... Mone & Mone

b mail & Cortinuous [1147 15... Mone ™ Input

{:} page ﬁ Continuaus [51,114] Mone b Input

{:} phone ﬁ Continuaus [17,59] Mone b Input

& print & Cortinuous [18061 2. Mone ™ Input

{:} zervice ﬁ Continuaus [15,68] Mone b Input

{3 YEAR_ @0 Mominal 1959199, Mone & Mone  |=

@ views currert fields O View unused field zeftings

212. FHIMEZ + —)IL KD

1. IBM SPSS Statistics 7 7 1 )V A1/ — Rz & £,

2. Iy—x#l] x7c, TEE] . (R=y)  TEFE . (BRI . 8LC H—EZ] © &3]
 TAN) T&EELET,

3. I8 OFED R ITEREIN, TOMDT 4 =V R (720 IZHESINTWD I L &R
LT,

4. TOKJ #2VUv 2 LZET,
5. BR% ./ —RNzf&E %7,
6. MMESATVav) 270 (&) 42T, [THE 2 TZFA=F EF7—] IZHRELET,
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7. TARIMA ET)VOMA] AT avzERL,

[TF A= BT 7 -DFHMEETNVEZE] IZF
vl - X—=URFIFoNTWAZ 2R LET,

Fields Data Specifications Build Options | model Options  Annotations
Select an itermn:

General Method: |Expert Modeler -
Ciatput
hodel Type
© Al models

©) Exponential smoothing models only
@ ARIMA models anly!

[ Expert Modeler considers seasonal models

213. ARIMA E TV D HADER

8.

(47 227V w2 LT, BTNV - F7Xy NEFEERLET,
9.

ETN - STy bEEEET,

T 2T7DEDOFIT, TETFTUIER] 2FRLUET, TFA—F - ETF7—0 5 BEOKBET
HED>H, E¥OXDIZ 2 MEOAZZOETIVICARE L TEIRLAZMZIFEEHLTLEE Y,

Dutput Seftings  Summary  Annotations:

HoPldaeraeash + - B LETE=
e Model Information
Title Model Building Method ARIMA
Tempaoral Information 3
- Maon-seasonal p=0,d=00=0; Seasonal p=,d=0=
Title Mumber of Predictors 2
[‘@ Model Infarmation || maodel Fit MSE 7,212,996.825
IJFEH Dradicrtar lFmmartan
214, TFXFAN—h - BT T2k B 2 FEHEDFHIMEDER
10.

[OK| 22V w2 ULUTCETN - F7 v bEFALUET,

11. R/ —RFNZBIE, (57 229y 2 U0FT,
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40000

men

300007 —§T5-men

20000

10000

0

i i | i i i i
1988-01-01 1990-01-01 1992-01-01 1994-01-01 1998-01-011998-01-01 2000-01-01
date

B 215, fRE PRIEZE A L7 ARIMA €7V

ZDETNTIE, KRELRTHOIWEES ZEET D ZETUROETADRREINTED, ZNET
THRERIREIZZ>TWET,

COETNEISIZIHMTEZT TN, ZOREL S DWEIXTUNRIZARZ L PHEINET, FHIME
Fi2 ARIMA EFUVHRLEELWVWI LRV LEZDOT, BELZEPVDETLEZMEHLTAZL &
5, ZOFIOHKTH Z2KFEDED EIF2FHRIL X,

12. TOKJ 227V vy 2 UCHRINY 1+ >V ROZBALET,

13. WERF/ —RZ2BE, 2TV ATVa v XTEERLUET,

14. TLVI—ROMEADIIR] Frv o - Ry 7 AZERL, iz 12 IZHELET,

15. RO ANERFHE] Fzv o - Ry Z 2% ERLET,

16. [FEf7) #22Vvy 2 LT, TNV - Fry b2EEKLET,

17. WR¥/ —FzRfE, 157 22Yv 27 UL%d,

1999 EDOFHIFRFDO L > TT, HHFEED, 12 HOY—7DRBIIEHFDFTRELVRVIZED, TOEDTF
TR E U FREmE Y. SREICHTEE2 B A5 0 FiFemd £ U7,
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40000~ =A== === ==

men

! — §T5-men
30000 -7

200007

plelelilepge -

o0

f f f T f T f
1988-01-01 1990-01-01 1992-01-01 1994-01-01 1998-01-011298-01-01 2000-01-01
date

216. 12 A HBHEER S N z58 b BTl

ZH

BNk Ly RET TR BHAZHCZOMOELE AR TN T WL EM R Z2MER ETIVETE
F U7z, F7-, BRIz LD, FHRETVIIRLIGEDIL ZENTEBR I L 2MA L, FkosEn FiF
ZYRITHDICMHHLE L,

HPT 13, EBORET — XAEHENAEAE BIRIE AT H3VEIEZ ), € 7L % EEA
UCHf L FRlE (RS 5 0345 0 £ 3, 3oV Ti. [1T70 A=V 0 THRIE 7L OILE |
EBLTL a0,

%15 B HxusREDO Rl R 191
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B 16 & AE~DRR (HCFE)

HOPHINEET IV (SLRM) / — Fid, BEICRLEL TV REE LUTTOREVZIT AN o N5 R
ETUTELETNVEERL, TOETIVOFEFRZARICLET, ZOLIBRBHOET VX, Y—7 T«
VI T TV =avRaA = VR —REDHART— - VL= a vy T XA VA Y M TRD
BALHbET,

ZOBNE, BEEDOFITIZHE DOV TWET, ¥—T T4 VI TIE. TNTNOEEBIZE - -] s &l
— P AZRBETEILT, 5BOF ¥ UR—VTESIZIEDOEWER2EH T 2HATHWET, B
WHNZIZ, ZoflTcik, HOFEREETVEMHAL T, DRTOREL LIRS 2RI, HFENZKIGEZ R
THREMED RS F VR ORI EZ A L., T OMRERIZE DS WTEHAEDORROREZEEL £,

ZOFITX. T—4& + 7 74V pm_customer_trainl.sav. pm_customer_train2.sav, B L
pm_customer_train3.sav % ST 2 A MY — L pm_selflearnstr ZHEHLET, I 5D 7 74 )Lk, IBM
SPSS Modeler ¥ > A b —)VEREED Demos 7 A NVKX—IZHDET, ZDT« L7 M) —IZiX, Windows
D [AR—=1F] A=a2—@ IBM SPSS Modeler 7027 Z L « JNV—TPo6T 7 ATEET,
pm_selflearn.str 7 7 A V& streams 7 ANV X —WIZH D £7,

Witr 7 — &
O, BEOF v AV THEECT > RE, B EOZNS ORI 5155 % BHT 5 JEIE

T—=AWHYET, TNO6DT—RITIF, SEIELFEOIERE FNT 57-DIHHTE 2 NGNS
FUOMBHREEENTNET,
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[E Table (31 fields, 21,927 records)
\ad Fle S Ect ¥ Generate
S
Table | Annotations.
customer_id |campaign |resp0nse |resp0nse_date purchasze |purchase_date |pr0dud_id |ROWid |
1 7 2 ] FrullF a Fruls Frullg 1 i
2 13 2 ] Frullf 0 Fruld Frull§ 2
= 15 2 0 FnullF a Fruls Fnull§ 3
4 16 2 1 2006-07-05 00:00:00 0 Frulls 183 7E1
5 23 2 ] Frulls 0 Frul® Frull§ 4
5] 24 2 ] Frullf 0 Fruld Frull§ 5
i 30 2 ] Frulls 0 Frul® Frull§ 5
5 30 3 ] Frullg a Fruls Frullg 7
g 33 2 ] Frulls 0 Frul® Frull§ g
10 42 3 ] Frullg a Fruls Frullg 9
11 42 2 0 Fral 0 Frulls FrallF 10
2 52 2 ] Frullg a Fruls Frullg 11
ksl =7 2 0 Fral 0 Frulls FrallF 12
14 B3 2 1 2006-07-14 00:00:00 0 Frull 183 1501
15 74 2 0 FralF 0 Frulls Fral§ 13
16 74 3 0 FrallE i} Frulls Fnull§ 14
il T3 2 0 Fralg 0 Frul FrlF 15
18 a2 2 0 FrallE i} Frulls Fnull§ 16
At 549 3 ] Frullg a Fruls Frullg 17
20 29 2 0 FrallE 0 Frull Frll§ 18
]

217. PARGOREIZN T 505

AN —LDEE
1. IBM SPSS Modeler o > A b —)VEE®D Demos 7 4 VX —IZd % pm_customer_trainl.sav % g LR
3 Statistics 7 7 1V AS)/ — FZ2EMU T,

-4'—"1 T .4-—"
l (z3) @n (4e)
] - }

') L ¢ +_’r B \_‘_’/; —i ‘+_’

F,

pm_customer_traint s.. Filler Type Reclassify campaign

218. SLRM ¥ > )L - A MY —LA

2. @B —REEBEMU, %7 4= R LT campaign Z3E&ERL 9,
3. Bk T [HKE 2B £T,
4, Ti@EM] FF AN - Ky 7 AT, to_string(campaign) & AJHIL, TOK| 227Vv 7 ULET,
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lﬁl
G| (]
Setting= M
Fillin figlds:
f campaign
X
Replace:
Condition:
ERBLANKEBFIELD) F | @
]
Replace with:
to_stringcampaign) [H
(o] [cancel (2w

219. ¥y o R—Y - 74 —)L RDRE

5. T—XH ) — R%&EBMU. customer_id. response_date. purchase_date, product_id, Rowid, & X
X_random D& 7 4+ =)V RD #%E] % [720L] IZHELE T,

L Type

Types | Fomat | Annottons.
| Fied~ | Messurement | Values | Missing | Check | Role
{} customer _id y Continuous [7116993] Mane [ Mone
@ campaign &3 Momiral e e e Mone @ Target
rEsponzE 8 Flag 1o Mone @_T_arget
E responge_date f Continuous [2006-04... Mone ® Mane
{}_purchase &Nominal o1 Mone b Inpt
E purchagse_date f Continuous [2006-04... Mone & Mone
{} product_id y Continuous [183,421] Mane [ MHone
3 Rowid & Cortinuaus [1,19593] Mone Q Hone
{} age ) y Continuous [10.96] Mone b Inpt
{:} ane_youngest... ﬁ Cortinuous [0 EE] Mone b It -

@ view current fields @) Wiew unuzed field settings

o

220. T—XM ) — RO ELEE

(Lo |

6. campaign 7 4 —)V RB X response7 4+ =V RO [#E] &2 TR ICRELET., Zhsid FHl
DIARE 72574 —NVRTY,
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response 74—V RO [RE] &2 177 78] IZREL £,

MEDFEAAAR] 22 Vw7 LTHho6, [OKJI 227Y v 27 ULET,

FroR—=V T4 =V RDTF=XDBHFD) AL (1, 2, 3. 4) L THEKRENE =D

EHABELULTIOOPDRTWVEAS MULZTEIENTEXT,
TR — FET— X8 — NIZENL T,

T4 —)IVKRT, [BEODT7 14 —IK] Z2FIRLET,

[F— X% 7+ =)V K] VANT, campaign ZERL £7,

IR REAYE 2V 2 LET. Fvo_—VOMEN (Lol FlizEBmINES,
T UWME ] FIORIID 4 1712, IROF ¥ o R=v %2 AN UET,

7.
. T =%k
10
11
12
s fEFxm—v
« H—-u—v
o I
. iE4p
13. TOKJ 2#27Vwv 2 L%,
£ Reclassify

[@)=l0)

Setting=

focle:

Reclassify into:

Reclassify field:

@ single © Muttiple

@) Mew field @ Existing field

ey field name:

Reclassifys

Reclassify values:

WWL@ML@M

L= w k2 Pl

Or|g|na| value

NeW value

Mor‘tgage
Car loan
Savings

Pension

For unzpecified values use;

(0] (cenca)

@ original value © Detautt value

X 221. F v o R—VZHDT — RHHH

14. SLRM ETIMER/ — R&T— X8/ — FICERL £ 7,
IZ campaign ZER L, WRIGE 7 + —)V FIZ response ZERNL 7,
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Target field:

Target response field:

@ Use type node settings @) Use custom settings

bt g}

Partition: | [vg l

Uz frequency field | [vE ]

222, WMHEB LI OHRIGE DEIR
15, (&) 270 TLVa—FH7zh DimKTFHE 71—V FTHE 2 ZRDIETET,

ZHZE D, BEEIIHL. ZUANSNIHERDPED GVWEREI N 2 DOREVFMET LI L
(ANl S 2

16. TETFILOEEMEZZR] MWEBIREINREIZL, [FEiT7] 220y 2 L%,
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Kdcampaign
Fiekis Model

Maximum number of predictions per record:

Lewvel of randomization :

[4IH] [41H]

Set random seed: G7ES4T
Sort order:

@ Descendingloffers with highest score will be returned)

& Azcendino(offers with lowest scare weill be returned)

Preferences for target fields:

| Walle " Preference || Alwvays incluce | ﬂd,

Delete

m Take account of model reliskility

X 223. SLRM J — R#HZE

ETIDOSER

1. BTNV -Fry befEEd, [ETV] X703 mA. SREOTFHOHEREES L€ T IVHEE
ORTFHOHNELEENRRINET,
FETHMEE A REBOMBEZFR T 212, GRORT D TFRKR] VA2 i e %
ERU £,

2. FHINHZ 4 DOELBEOMTRREZYIVEZ 212, EllORA izdhHd TFoR] VAP SME
AN SBi/N VSr
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campaign

i ]; File £y Generate @]
o 4

41 H H
¥ Wiew: |Bssocistion with Respo.. ¥ !
Model Performance
0.20 w
BvLiane Association with Response
— lower f
— rfm_score
[ e e upper
white_caollar_percentage:
Ul e e S e e number_transactions
E non_worker_percentage
c
= o]
g 087 (-] months_current_account
< w
= [ ;
[ ] marital— i ) ]
E ] | | |
R Loy e e e e e e e e =] ! ! 2
E K income— NN
@ = L
gender— i f | f
R Ly e e s e e | | | | |
call_center_contacts—| : : ; : E
0_34—--------------.- ----------------- had_paymert—|
age_youngest_child
0.83 T T
0 10,000 20,000 30,000 purchass
5,000 15,000 25,000 oo 01 02 03 04 05 06
Ho. of Training Data Cases Association

224. SLRM E€F)N - F7 v b

. BTN FTY N U RO EBHUET,
4. A MY — LFHET, pm_customer_trainl.sav %<3 IBM SPSS Statistics 7 7 1V AJ)/ — N D¥fi &
fRPR L £ 9
5. IBM SPSS Modeler 1 ¥ A b —)VEREED Demos 7 * VX —IZd % pm_customer_train2.sav % i LR
§ Statistics 7 7 T VAN/ — RZEMU, T2 @E# /) — NIk U X9,
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s -+
ﬁl S
Dm_custumer_traV Filler

[3)

pm_customer_train2 s..

3

pra_custarmer_traind.s.

Type

—® —-® -

Reclassify Sarmpaign
+

Fl

-

campaign Tahle

X 225. SLRM ANV —LAD 2 BEHOT—X - V) — ADHH

6. SLRM /—FR®D TEF)IV] XTI T,

[BEFE TV OFE 2k Z#IRLET,

-

E cam'paign'

@ |

@alol

@ auto © custom

Madel name:

E Use partitioned dats

|] éCordinue training existing madel

Target field values: ® Use all © Specity

“Model Azsessment -

m Include model sssessmert

s

Set random =eed: aready

él
;Hl

Simulated sample size:

Mumber of terations:

E Dizplay model evalustion

Lor] (3 mun | concel

(1]

Add...

Edit..

Delete

X 226. FFIVFE DM

7. 171 22Vv2LT,
BEXTNVIV Y7 LUET,

T,

EFI - FTY NEEERL T,

A FRT B0, SO TSy b

eV 271, BREOFUOKEED, dGEIFEAHEEMEIRRINET,

8. IBM SPSS Modeler - ¥ A b —)VEREED Demos 7 # VX —IZd % pm_customer_train3.sav % i LR
9 Statistics 7 7 TIVAJI/ — RZEML, T2 EW ) — NIZERL £,
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B -@> -

[l ) i > e (=
\. J i —_—rr At —_—tr e —_—t [}
pm_customer_traint s.. Filler Type Feclgssify ,'campaign
+

Fl

-
-
+

_guf —l
o~ N E‘.

\ _ campaign Tahle
prm_custamer_train3.s..

227. SLRM ARV —AL~D 3 BEHDOTF—X - YV — A0

9. T547] 22 Vw o ULT, B35 —EETN - +7 v bEEERL £, FMz2RRT 2I12E, %D
FTYRNEXTVIY Y I ULET,
10. ZnT, [EF)V] 2712F BREO FHORMRMEEHEPRRINE T,

FRINTVWBR B, EEEEX, T—X - V—AZ2EMT2LETRHALUET (86.9% 75
85.4%), 7272L. ZOEBIE/NRTH O, FIHMEERT —XZANOLTHREFHMEIZKAL TWEH]
REMEDYH D £9,
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campaign

lad File &) Generate | [BH preview @
' . ][ I :
Model | Seftings | Summary | Annotations
(e i L tcinetiiad B S i
Wiewr: |Car ...
i
¥ Wiew: |Associstion with Respo... ¥
Model Performance
090w
e BVEIRNE Association with Response
T — lower
T —— upper rfm_scaore
e white_caollar_percentage
R FE e e R e e R numkber_transactions
by non_worker_percentage
= &l
= months_current_account
1]
< o
3 [ L e e s e ) *E marital—| ; ) ] !
3 z I
E - o income—_:
[ j j j !
@ gender— h f ; :
0_34—. -------------------------------- call_center_contacts
= bad_payment—|
age_youngest_child
08 ; | | I- @ purchase
13,500 13,600 13,700 13,800 13900 14 000 00 01 02 03 04 05 06
Ho. of Training Data Cases Association

& 228. W XN/ SLRM EF)V - F7 v b

1. 7—=7) -/ —F&E#Ek 3 FH) TERSIWEZETVICERL, 7—7) - /J—F2FETLET,
12. F=7NVEhAAAZu—)VULET, PHITIE, SEEOFMICIG D T, BENZ T AN S THElEd K
LEWRE, BLUOZOREEZTANDIGBEEINRINTVET,

BlzIE, RRENZT—TAD 1 THTIE, MY — - 0= 2R U ZBEEPNERZRELZGEIC%
FANDEBEITDT D 13.2% ($SC-campaign-1 FIDE 0.132 TRIND) TY, LaL. 2 fTHB LT
3ATHTIE, FARRIZA— - o=V Z2FALEZBEENT S 2 ARRINTVET, TNODEEDT—A
Tk, IhoDBES LOH U & 5 2EEOMOEE DTS O EORE %2 21T 7258 e B2 HE T 5
R IX 95.7%CY ., £z, FREZITANDEREIL 80%2HXTVET,
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[E Table (35 fields, 27 records)

G Fle  [SEdt ¥ Generate

| W_random | F3-campaign-1 | $SC-campaign-1

F5-campaign-2 | $3C-campaign-2

0132
0as7
0857y
013z
0.805
013z
0132
0132
0132
0132
013z
0132
0as7
0164
0as7
0132
0132
0132
0.289
0132

Martgage
Pension

Pension

Mortgage
Savings

Mortgage
Mortgage
Mortgage
Mortgage
Mortgage
Mortgage
Mortgage
Mortgage
Pension

Pension

Morgage
Mortgage
Mortgage
Penzion

Mortgage

0107
0.544
0802
007
0254
007
0407
0a07
0407
0a07
007
0a07
0829
0132
0.868
0407
007
0407
0132
007

— 3
Tahle | ﬁ Eﬁﬁ ions
e
1 1 Penzion
2 1 Savings
3 1 Savings
4 3 Pension
5 1 Pension
5] 3 Pension
7 2 Pension
g 3 Penzion
9 1 Pension
10 1 Penzion
11 2 Pension
12 2 Penzion
13 2 Savings
14 2 Savings
15 2 Savings
16 2 Pension
17 3 Pension
18 3 Pension
qkg) 3 Savings
20 2 Pension
(41

—

229. EFIOVHIT - FRIEN-IRE L EHEE

IBM SPSS Modeler Tf#ifi & 15 AN A EBEOHIHIZ DWW Tk, #HHA Yo —NO—#& LT PDF
7 714 IVTAFAGEL TIBM SPSS Modeler 7)LI ) XA - HHA K] IZVAMINTWVWET,

INSORRIZFETFT—ZOAMIEIL I LIZERELTLEI Y, EFTANREROMEADMDF—RIZEN
FT—=RAXH/—RKEMHEALT, TAMNBLIOKIFOHKTL O

7215 £ A2 2 & g 51213,

—NOY Ty FERFFLET,

% 16 = FEADIRE (HO%H)
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£ 17 & O—VRBETED T (N1 xRy |\'7_7)

RARX 32w VT =7 %2HTEE, BHIXNERE X ORI NEREZ TR LW EBROMEE
HHAEGDLDEDLZZLIZE>THRETVEZER L, RERWIZIZ) V27 L TW0WaRWEEZMH L CTHREDLER
WNTTEXT,

ZDOHITIE, bankloan.sav L \ND T —R « 77 A NE BT B bayes_bankloan.str £\ND A MY — L&l
LET., ZN56D7 7 1)Lk IBM SPSS Modeler 1 > A h —)VEREED Demos 74 L2 b =S {HfHT
&, Windows ® A& —hF] A=a2—® IBM SPSS Modeler 702 F L « Z)V—=TN5T7 72 RATEHI
EMTEET, bayes_bankloan.str 7 7 A VL, streams T4 L 27 M) —NIZH D £T,

BlZ I, B—Y2NRFE I N VATREEIZ DWW TEIRIT PR L TWwWd e LE T, BEIOR — ViRFEART — X
ZHHLTH—VIEFIZOWTHENE L £ 5 RIBENEE 2 PHIT 2 2N TE256. 2507k TUX
IDHB] BEIINLUTIE, MEZHEST S0, RODOHEBEZRET LI LNTEET,

Z O, BFEOT — VIRFEARRET — X 2 FH LU TRRORFEARGEE DA GEM: 2 FHIl$ 5 Z LI m %Y
T, 3 DDERLBLEZRA X -2 NT—2 - T - XA FIZHEHLULTCZIORRZ FHITE2DIZED X1 TN
BWhzieEL £,

NV ENOY - £
1. Demos 7 * )X —0O bankloan.sav % & L3 Statistics 7 7 1 IV A/ — RKZEBML X7,

?- -En f?' :
e s a8 » e
\
\\z*‘/ﬁmws % mvﬁmmmw
~”~~

3) 3 e (7> x> Q

h‘ _‘_.f' + .flfd' P o q,,?'f h‘ ?’f h‘ iy h‘
bankloan.say Type Select TARN Markay Markow-F3 Filter Analysis

230. RA X+ 2y hT—=2DY T A —A

2. F—REI)—FEZAN—RIZEMU, [F7xVN] 74—V FOHE % WL 123HELET,
%@@@74—»P@&%u\?&frxﬁjyﬂﬁbit

3. MMEDZARA] RExVE227V v 27 ULT, ME] FNZT—XEZRDIAAET,
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| Field | Measurement | Values | Missing | Check | Role
{3 age & Continuous | [20,56] MNone ™ Input
{3ed ol Ordinal [12345 Mone “w Input
< employ & Continuous | 033 Mone *w Input
{»address ¢ Continuous | [0,34] Mone “w Input
4 income & Continuous [[13.0,44... Mone *w Input
&3 debtinc & Continuous 1[0.1,41.3] MNone “ Input
¢#3 creddebt & Continuous [0.0711649... MNone S Input
5 othdebt & Continuous [0.04558... Mone ™ Input
{3 default % Flag 110 Mone ©) Target

@ View currentfields @ View unused field settings

2oy | eset]

L A

X 231. W47 1 —)L KDER

HEAH Null HE2FDT —ZZETIVOMPIZRIZUBbEEA, T LT —AZ2BRIILT, ETV
DFHHHZFHINBRNEIIZTEZENTEET,

4, R —REF—XR — NIZEMLET,

. E—NT MHEE)] 2@#RL £,

6. [TZ&ff] KRy 7 AT default = "$null$' & ASL FT,

fd Select

]
O[]

fdade: © Include @ Discard

default = "Fnulf

Coneition:

(o) (cae)

232. Null fEZFFD X RO

SERTEBRRATONAZX - 2y NI =V %R TE D720, HHEOET IV ZHEL TED THl%
RUET 2 ETIVEMERT 21lifli2%H D £9, Tree Augmented Naive Bayes (TAN) E 7 V% B#lliZ
PTER L %97

7. "AX -2y bT—=2 - ) — NEZRMEME ) — NigE#R L9,
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8. [ETN] XRTDETNHZLT, THARL] ZFRL, TFAL - Ry 7 A2 TAN EASBLET,
9. Wh&ix+a 7z ITAN] Z&RL. [OK|] #22Vvy 2L %Ed,

m—

—

EdTan

|

Mode! name: @ auto @ custom  [TAN

@ Use partitioned dats

E Euildd model for each split

To zelect fields manuslly, choose "Use custom settings" on the Fields tak

Partitior: vg

Splits:

X | tn

|:| Continue training existing maodel
Structure type: @ Tan © Markov Blanket
|:| Include feature selection preprocessing step
Parameter learning method:

B Maimum likelihood ) Bayes adjustment for small cell counts

233. Tree Augmented Naive Bayes E 5 )V DIER

2 BHIZKHE T LETIL - X1 71E Markov Blanket &2 > T WX T,
10. 2 ZBEDORA X - 2y b T—2 - J—REZMME ) — RizBREL £,
11. TEFIV] ZRTDETIVHT, [HARL] ZFEIRL, TF AL - Ry 27 AT Markov & AN LU ZF

—g_()
12. & & 1 71z [Markov Blanket] ##RL. [OKJ #2 Vv 27 LET,

17w a— VREREOTH (X1 X 2y hU—2) 207



£ Markov

Model name: © auto @) Custom  |Markoy

m Use partitioned data

E Buildd model for each split

To =elect fields manually, choose "Use custom settings" on the Fields tab

Partitior: ‘E

Splits;

X | tn

D Continue training existing model
Structure type: @) Tan @ Markov Blanket

|:| Inclhude festure selection preprocessing step

Parameter learning method:

@) Maimum likelihood © Eaves adjustment for small cell counts

234. Markov Blanket & 7 )V ODAERK

3 BHIZHEET 2ET I - X1 7% Markov Blanket fE&E 27> TH D, T 7-EHOEIROFILE % {#
ALUT, SREBIZKESEHELTVWAE AN ZERL £,

13. 3 BHORA X - 2y bT—2 « J—RZ2EMAEME ) — RizEHEL T,

14. [EFIV] RTDETFTNVHT, [HARL] ZFRL, TFA b - Ry 7 AT Markov-FS & AL £
9,

15. HEE X 1 712 TMarkov Blanket] ZERNL 9,
16. [74 =)V NEROFWERAT Y 72 58] %:#RL, [TOK|] 27Vv 7 UET,
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£ Markov-Fs
@
I'I L
ey

Model name: © suto @ Custom

harkow-F S

@ Use partitioned data

E Build model for each split

-To =select fields manually, choose "Uze custom settings" on the Fields tab

X |

|:| Continue training existing model

Structure type: @) Tan @ Markov Blanket

E Include festure selection preprocessing step

Parameter learning method:

@ Maximum likelihood © EBayes adjustment for small cell courts

235. 7 4 =)V REROALIE % F A U7z Markov Blanket &5 )V DERL

EFILDOSER

1. ANV —=LZEfFLTC, ETIN - FTry b2EKRLET, ETIV - F7 vy bE, AN —=LB8XO0AE
oETIIL - 8Ly MEIMENET, 2 RRT212E AN —LDEEDETN - 77y b2

RINT)y I UET,

EFIL - FFYID TEFIL] ZT1E, RO 2 D2DORA V2T oNTWET, ZEHloRA izid,

FHMER QBRI A, W4 &b BERFHEROMBRERRT S/ —FOoxy v —2 - 7570

GENTVWET,

AR DRA ZIE, ETVHEERHICE FHEOHN HEE 2 R PHEOHEERE, £/2134&/ — FEd
L OHL/ — FOMEDOEMA B DY DERMMEME EGTRMAME PRRINET,

B 17 E u—VRFEABEOTH (RTZX - 2y hU—72)

209



|;i File ) Generate & View “ @ E@

3
¥
S
= Predictor Importance
Bayesian Network P
Target: Previously defaulted
Type
@®Fredictors
®Targst Debtto income
ratio (x100)
Importance
Years with current
@10 employer
@03 /
@06 Credit card debtin H
@04 thousands i
Qo2 i
Other debtin v
Qoo thousands
Household
income in i
thousands H
Years at current
address
Age inyears
U T T T
Other debt in thausands 0 2 i, 08 a5 D
| f ] ] ] ] ]
Least Important Vost Important
View: view: [Predictorimportance |
(Lox J (cance _seoy | esat

236. Tree Augmented Naive Bayes E T DI/

2. TAN E€F) - F7 v % Markov 77y MIERLET EEXr7ns T, [EHR) 28R E
EDS

3. Markov EFJ) - 77 v b % Markov-FS 77 v MR LU ET (EHKXAT7ar T, [EH 2R
LE9),

4. 3 20FT Y FERXTWE S ITE&ERE ) — NIZAbETHREL £7,

® @9

1@®lr s <E>-+-ﬁr rﬁwfrawf

hankloan.gay Type Select Markow tarkov-FS
X 237. ARVU—LNDOF7 v hORlE
5. TERT 28275 7 2T 5 72DICETNVH DA #EET H121E, 740X —- ) —F%

Markov-FS €5 - F7y MIERL T,

6. HMlD 74—V K] HT, $B-default # TAN 2. $Bl-default % Markov IZ. $B2-default %
Markov-FS IZZFE L 7,
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.
\J Filter

CI[F=S [

Fields: 15 in, 0 filtered, 3 renamed, 15 out
L Field — Filter I Field
debtinc — debtinc
creddebt —. s creddebt
othdebt — othdebt
default — default
$B-default = TAN
5BP-default — 5BP-default
$B1-default — Markav
5BP1-default — 5BP1-default
[FB2-default . Markov-F3
$BP2-default — $BP2-default

@ View current fields @ View unused field settings

[_zoa |

X 238 ETI) + 74— IV RELDEHE

ETNVOFHNEEZ LT 272012, 71V - 77 %FRT I ENTEET,
7. fHliZ 57 - ) —=FET4NZ— - )= RNIZERL, T7 ANV PORERFMLTT I 7 -/ —F&%E

TLUET,

TI7F, BTN - A THEMUFEREZERLTVWEZ 2 EZ2RLTWETA, Markov €T ILH

DURBWERIZR > TWET,

' Evaluation of [TAN Markov Markov-FS] : Gains

@ Generate

= Eat

i File &F view
fgh i Vi

100
80—

B0

% Gain

40

20-4--

— TAM
— Markov
— Markow-FS

Percentile
default=1

(o)

239. ETILDKERE D At

W17 B u—VEFEREO T (XA X - 2y b T—2)
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BETADRENIZEERWTFHIZIT o TWAD2MHERT 572012, FMliZZ 7 Tlda < EEMM/ — K%
ffHTEET, ZHZED, FLOWPFHIE ELL BZWTPHIOHGOHEGIZL > THEZRLULET,

8. KEMT/ —RET74NVR— - ) —=RIZEHL, T7A4N NOREEZMHAL THRESM — R2FETFL
7,

i Z 7 R &Sz, 2k, Markov ET AR ELWFHNIZOWTEHEFENLTWS Z 2 Z/RLTW
¥4, =7 L. Markov-FS EF ) ix. Markov ETIVEDEERA Y N THE>TWAEITTY., Tk, &
REFHFETLEOICDBRVANZMHAT 5720, F—XPEC AN, WHERFEA DR RD WS T
Markov-FS EF NV Z2FHT 2 HBRERVWEWVWSI T EZRLTWHEEZLILETEET,

|:|||E|$J N
CIE3

[&] Analysis of [default]

\ad File | = Edit

| Anaiysis || Annotations|
\& Coliapse Al | | R Expand Al
E|--R_esu|ts for output field default

B Individual Models
B Comparing TAN with default

i i |Correct 565 80.71%
© i{Wrong 135 19.29%
Total 700
E| Comparing Markov with default
i [Correct 542 77.43%
. Wrong 158  22.57%
. |Total 700
=8 Comparing Markov-F3 with default
i [Correct 542 77.43%
.| Wrong 158 22.57%
Total 700
E-Agreement between TAM Markov Markov-FS
| [Agree 603 86.14%
i Disagree 97 13.86%
. | Total 700
=8 Comparing Agreement with default
| [Correct 505 8375%
.| Wrong 93 16.25%
Total 03

LS

X 240. & FIVOREEST

IBM SPSS Modeler Tf#ifHl X415 € FIWAERL HEDO B AR FBEOHTIAIZ OWTIE, 1 VA =L T4
A7 D ¥Documentation 74 L2 ") —IZH B [IBM SPSS Modeler 73V XL - 4 K] 28BLTL
723\,

INSDFERIFIFEF T —XDOAIIEDIL ZEIZFELTLEET W, ETADREBROEROMD T —XIZEN

S EL AL ND D2 FHEId 2121k, 72K/ —FEMHALT, TAMBICKRIEDHKTL 2
— N TRy bERRFLET,
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%18 E BAR—RADETILDO) ML—Z=ZV T (R4 X - 2y b
7—7)

RAX - 32w NT=2%HT 2L, BRSO ERE OSSN ERE2 [Filk &0 EBROHH
HAEDOEDLZZLIZE>THRETVEZER L, ZERMIZIZ) V2 L T0WaRWEEZ2MH LU CTHREDLES
MWL TEE T,

ZDOHITIE, telco_Jan.sav B KT telco_Feb.sav E\NDT—RX - 77 1)\ BMT 5 bayes_churn_retrain.str
EWHSANY =L EFEHALET, TN5D T 71)LIk IBM SPSS Modeler 1 > A b —)VEREED Demos T
1 L7 M) =D SfiHTE, Windows ® [AX—1F] A=2—0@ IBM SPSS Modeler 702 5 A - 7))L
—TIMOT IR ATEHIENTEET, bayes_churn_retrainstr 7 7 1 VL, streams 74 V27 M) —NIZH
DE9d,

Bl Z X, Btz EbNIBEEOR W) LT, EREE o1 X=2BaLTwbe L Z
T, BEOHEET — X 2HH U CNEENT 2N EWEE 2 FHIT 2 Z 2R TE 2548, Zhs D
BERFE FRMEOY—E R - TN X —ADOBTEEREVE EEo A IO REREONEETEI L
NTEET,

ZOHITIX, (KM B AREMER S VR 2 FHIT 5 7-DICBFO AT — 2 2 HHT5 22, B&
OZFNIHRSADT — X2 2BIMUTETLVAEFAESIC) P —o v 752 8 ICER2ZYTTWET,

AN —LDESE
1. Demos 7 #)\VX—0 telco_Jan.sav %45 L7 Statistics 7 7 T IV AN/ — RZBIMLU £,

B) » (%) » (3 » ¢F9

telco_Jan.sav Filter Type Jan
:
1
1
1
L)
@ g -2 ot |
e L
=y =% ™ 1)
T
1
telco_Jan.s Filter Type Jan=Feb
1
1 1
1 L]
1 1
/ : A
1 + 1
9) » > : ' i
1 4
1 +
telco_Feb.sav Appand 1 bl [Jan J#in-Feh]
L]
- \
4
2 ax B Q
-E-> oy .
i L - ‘?’,’f - ‘qf.;f’ -\ |
Filter Type Jan Jan-Feh Filter Ahalysis

B 241. RARX - 2y hNT—=2DY T+ A+ —LA
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PRI TlE. DO FHIIZWLS DD TF—& « 74— IV RIZIFLACEETIIRWI 2R
NTWELEZ, INS6D T4 —IVKZTFT—X - kY "SI 4 IVEZ—THRMNLT, ETFTILOREES &
ORaA7) VI RONBEE 2 EXEH5Z e NTEET,
TA4NVR—+ ) —=FKZAN/—FRIEINUET,

3. address. age. churn. custcat. ed. employ. gender. marital, reside. retire. 3 & T tenure ZFR< TN

TOT7 4=V KREBRALET,
4. TOKJ 227VUw 2 UL%ET,

Filter Ed
=Y @ED
N

Fields: 42 in, 31 filtered, 0 renamed, 11 out

Field Fitter Field
regian M region -~
tenure — tenure
age —_— age
marital e marital
address . acdress
income > income
ed —_— ed
employ — employ
retire e retire
gender — gender *

@ view current figlds  (© View unused field seftings

X 242. RERT A=V EDT 4 LRY) VT

F—&RW ) —RET 4 NVX— - J—FRIZEMLUET,

F—RB ) —REHE, MEOHAAA] REVE2 2V vy 2T ME] FIZTF—X 2B DAAET,
i) — R CEDEPETEDEIMarZFMTE L LD12T 5772012, churn 7« —I)L KOHEIED
REZ (778 \Z&EL, TO&KE % &) 2B ELET, TOK) 22Uy 2 LET,
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Clear All Yalues

Clear Yalugs

Field | Measurement walues | Miz=ing | Check | Role
& IS m riEag 1 e W NP 7
{} address ‘f Continuous [0,23] Mone A" It
o @5 Mominal 12345 Mane S Input
{:} employ ‘ﬁ Continuous [0.47] Mone \ It
G2 retire & Flag 1000 Mane S Input
{:} gender &j Mamiral 01 Mone \ It
{:} reside aj Mominal [1:2:3.4.5,5 Mone S Irupoat
{:} custoat aj Mamiral 1234 Mone \ It
{:} churn 8 Flag 140 Mane @ Target |

@ viewy currert fields @ Wiew unuzed field settings

243. W7 4 —)L K DER

10.
11.

SEITELEEORAZX - 2y MV =0 2WMETHIENTEET, L7ZL. ZOHITIE, Tree
Augmented Naive Bayes (TAN) ET LV Z2MHEL £9, Zhid, KEEXY b7 —2 %2kl 7T—
REWHETHRERTRTOY V7 2 G870, BERIMET VAMEINET,

RAZ 2y T =2« J—REF—ZM ) — FIcERELET,

(5N RTDEFVHT, [AARL] ZBRL, FERD - By 7 A Jan EANLET,
NTA—=R=22HFET, UNEWRIVERD Bayes fH¥E] %#3ERLE T,

[9247) 22V v 2 LET, EFL - F7 Y MR —A, BEOHEEO TEF1] SLy bz
BENET,
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hadel name: © auto @ Custom  |Jan

E Use partitioned data

E Buildd model for each split

To =elect fields manually, choose "Use custom settings" on the Fields tab

Partitior: ‘E

Splits;

X | tn

D Continue training existing model
Structure type: @ Tan ©) Markov Blanket
|:| Inclhude festure selection preprocessing step
Parameter learning method:

) Maimum likelihood © Eaves adjustment for small cell counts

244. Tree Augmented Naive Bayes E 7T )V DAERK

12. Demos 7 # VX —® telco_Feb.sav %45 LRT Statistics 7 7 1 VAN, —RK&EEIMU T,
13, ZOFLWAN/ —RET 4L A— - ) — RIZBE L3 (BELA T 00T,

ARTDO AN ) — RO 2 ESBZ ),

= @
) (52
telcu_.Jan.sy Filter Type Jan-Feb

3)

telco_Feb.sav

X 245 2 ZHOHDF—XDEM

MEH] 2ERLT

[AARL] ZBRU, TFAD -

14, RAX -2V T—=2 - J—=FD [ETIV] RTDETIVLT,

ARw 7 A1 Jan-Feb ¥ AS1L £ 7,
15. [EEFE TV OZEE 2k 22U T,

6. [FEf7) 22V v 2 ULEd, ETN - F7 Yy MEAMN) —LHNOBREDET NV - F7 v b& EHEEL

F9A AL T£EF0V] Ny MzdBMEnEd,
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fadel name: © suto @ Custom  |Jan-Feh

@ Use partitioned data

@ Build model for each split

To =elect fields manually, choose "Use custom settingz" on the Fields tab

Partition: |

|+
Splits: vI
x.

E Continue training existing model

Structure type: @ Tan © Markoy Blanket
E Include festure selection preprocessing step
Parameter learning method:

©) Maximum likelihood @ EBayes adjustment for small cell courts

(o) B on)  conce) (L epon oot

246. EFTNVDY bL—=V T

E5I)LDELM

EFNELET L2, 2 DOF =& - £y M EESIELIHERH D FT,
1. #&/ —NZBIU T, telco_Jan.sav & telco_Feb.sav DDA/ — REZD /) — NIZHH L £

j—o

18 ®E BAR—ZADETLVDOY) bL—=V T (RAX - 2y bT—7)
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k4 Append &3

Match fields by ©) Position @) Name |:| Match case

Preview of field matches and structure

Cuttput Field — j1[telu:o_Jan.sav:telco_Jan.s... |2[telu:o_Feb.sav:telco_Feb..
{} redion {} redion {} region n
{} tenure {} tenure {} tenure [
<3 age <2 age 3 age

{} marital {} marital {} marital

{) address {} address {} address

'@} income @}' income @ income

{) ed {} ed {} ed

{} employ {} employ {} employ
T —— L

Include fields from: (@) Main dataset only ©) &1 datasets

D Tag records by including source dataset in field  Input

oo || eeet

247. 2 DDF—X + ) — ADKEE

2. ANV —LDHHDOT 4 NE— " ) —FBIUOTF—&M ) —FK%2a—0LT, AN —L8EBIZED
NS
3. A&/ —REHLLavr—3nET7 40X — - J—RiZERELET,

@®-®

teleo_Jan.saw Filter Type

®-&

telco_Feb sav Append

= o>

-m>
=
Filter Tyhe

248. A —INF ) — FDA MY = LANDHE O T

2 ODRARX -2V NT—=2 - FETNDOFTy ME, AEMO T€57)V] SLy MZHD FT,

4, Jan ETN - FT Y NERXTNIZY Y ZUTAN)—=LIZEML, L a—INizTr—&KH ) —
FizEgn 2L 7,

5. AMU—=LPIZEEIZ®H D Jan-Feb €T - 77 v b%& Jan EFINV - Ty MIERLE T,

6. Jan ETN - Fry bEHZET,
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v

-

I=
=
il
2

I\ T\
@b . @b

\ —r,x‘r iy ™ W W
e b-—-l

Filter Type Jan-Feb

249. F7y RDA Y — AADEN

RAZX 32 T—=7 - ET) - FTXY D [ETFTIV] ZTE, 2 2Oz onTWET, £l
DFNZ X, FRMEMOBERIICINZ, NReHPEFEELFHEROBGREZRRTE/ —ROxry b7 —
7T INREENTVWET,

AROFNZIE, ETNVHERIZE PREOHNEEE 2R PREOEEE, £7/413% ./ — FMEs &
UHL/ — R DD ZAAG OE DSRMEMEME L FUSRMME PERINET,

Jan ..

.W | }; File: b Generate d!iew m

oo i el
Setings | Sunmary | Ametaons

B & L ol O 2 1,
Bayesian Network Predictor Importance
Type Target: Churn within last month
@FPredictors Months with service| i b I
i 1
Level of education—| |
etired Importance Customer category— :
@04 :
@03 “fears with current employer—:l :
Customercategor\r 8312 Gender—|
000

“rears at current address—|
Retired—

MNumber of people in household—|

Martal status—
Age in years e e e e
I I I I
Years with currentemploy . d 0.0 0z 04 06 08 1.0
Encer
f I I I I I I I
Least Important Most Important

Wien: Wiew: |Predictor Inportance

[ECM - Windows Internet Explorer |

250. FHMEOEBEEZRITARA X - 2y hT—2 - EFI)

J — ROEMIERZRRTHI12E, OO —FE2 20y 2 LEd, GHOFIVREHS N, HE
BREHARRINE T,
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SliERIE, T—XED ) — ROEBLUOWE ) — NIZEEL THEIhE{EE T izEZRINE

To

4 Jan

%]
7= ]

?'P ‘ _}ﬂﬁ File: B Genetate d!iew

gy

bone ] e

" P
Bayesian Network
Type
@Fredictors
@Target
Importance Conditional Probabilities of
@01 Months with service
@03
8312 Parents Prohbability
Qoo Churn within last menth <152 152~294 294 -~436
fy Vet status 1 048 020 0.15
#T people in household
0 0.15 020 0.19
Years with current employe '.
Gender
4 3

Wigwy, | Conditional Probakilties =

[ zpot ] et

X 251, &R AR RTHRA X - 2y NT—2 - EF)

7. HEIZ T B7-DICETVHEIDOZEEEETSI21E, 74 VX —+ /) —K% Jan-Feb €T - F7 v

MTEERL £ 9

8. Ao 74— K] HT, $B-churn % Jan (2. $Bl-churn # Jan-Feb (Z&HIZEL £7,
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Ed Fitter

&
ellaldl

Fields: 15 in, 0 filkered, 2 renamed, 15 out

employ

retfire

gender

reside

custoat

churn

FE-churn

FEP-churn

|$Ei1 -churn |
FEP1-churn

Filie_r

| Field

[Etmploy o
retire
\gender
reside
(eustcat
churn

Jan
FBEP-churn
Jan-Feb
FEP1 -churn -

@ view current fields  © View unused field settings

252. FFI)V - T4 — )V RKZDOEH

BETIUDMRENZ VPIZIEHEICFRIL TV S0 F 2y 7325121k BESN ./ —FE2HEHLET,

MZE D, ELLFHIBETEL K 2WFROWESGOEGIZ & > THENREINET,
9. MEDN/ —KET74NE— - ) —FIZEHRL X,
10. KSEIHT/ — R 2B T,

%47 22V v 2 L%9,

ZHZED, WETANMRERNOFRIZENTHU LS BHEETH L I EWRINET,

HH 18 B HAR—ZADETILDOY ML —=V T (RAX - 2y FT—7)

>
—
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[&] Analysis of [churn] L.‘JLQJE

& colapse a1 | | B Expand@

E-Rezults for autput field churn
Bl Indliviciual Madels
I?J--Comparing Jan with churn
i | [correct T TR
“-| Wrong 220 22.0%
Total 1,000
E--Comparing Jan-Feh with churn
i [Correct 765 76.5%
.| \WWrong 235 235%
Total 1,000
E-Agreemert between Jan Jan-Feh
i [Agree G2 BE2%
i~ Disagree 118 11.8%
: |Total 1,000
E--Comparing Agreement with churn
¢ [Correct 710]  @05%
.| Wrong 172 195%
Total 882

X 253. ETINOEEEST

WEDH ) — FORODIZFUE 77 72 HH L. 71y - 77 7%EKTHL. ETVOTFHNEZ:
Higd 52 enTEET,

1. 7S 7 - ) —FZ2 T4V &x— - J—FRiIz¥HRLET,
Wiz, T7ANVIEERGHL TS 7 - J—R&2FETFLET,

77 7 IREEDN ) — FEFKRIZ, BETIV - A TDRC LD BREREZEHRLTWD ZE2RUETH
WADHDT—2%2MHT2) hL—=V7 - ETVOLBRTFHIOEEENE WO, DURBWIERIZR -
TWVWEY,
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|2 Evaluation of [Jan Jan-Feb] : Gains =)ol

Warle [SEdt ) cererste  &F view

Jan
—Jan-Feb

Percentile

churn =1

o)

254, F T ILDEEE D At

IBM SPSS Modeler T &3 € FIVERR GIEDE AR EROBRHIZOWTIE, A Y A=) - T«
A7 D ¥Documentation 7 4 L2 N —IZH B [IBM SPSS Modeler 73V XL - HA4 K] 2B LTL
7230,

INSORERIZZFET —RZOAMIEIL ZLIZERLTLEIY, ETLUNREBROMEAOMDF—RIZEN
IS EL RIS NE0E2FHUET 5121, T—XKX4S/—RZ2FEHALT, TAMBLXOHGEOHKTL O
— KoYy Ty bEEFHLET,

%18 = MAR—ADETFILDY bL—=22 (R4 X - v bU—2) 223
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3B 19 & NERORTEETE (=12 —Z) - Ry hT—
7 IC&RT)

ZOHITIE, NFEEOHET A I DWT, FZBGEEEREIA T FEIZ Y D X D B3R E KX T I o0n
TRIT—22FVET, (ZHNEFEEEDOT—XTT), ZOFITIE, FRORFEMREFE ORI R %2 FHI
LZeHRHBIZLTVWET, BERHEHEOBIEHEHL LS, T—X -4 =VF - Tav Ak, BHE T
— X D¥fH, FH, BIUOTAMDE T =z —ATHRINET,

ZOHITIE. goodsplot.str B XU goodslearn.str £S5 A M) —LZEHLET, T oid, GOODSIn &
LU GOODS2n &\WS T =& - 774NV EBRLET, ZhoD7 7 AV, IBM SPSS Modeler o > A
N VEABREID Demos T4 L2 b —IZbH XY, ZDFT4 L2 Y —IiZiE Windows O [AX—
N A=2—® IBM SPSS Modeler 7027 7 L - JV—=TW67 272 ATEET, AMY—L4
goodsplot.str 1%, streams 7 A VX —NIZdH D £9, F7z. goodslearn.str 7 7 A VL, streams T 1 L2 b
D—HNIZHH £,

T — 4% DIREE

L a—RiZid, ROWNEREENTHET,

«  Class, #f& A7,

»  Cost, H.fi,

«  Promotion, %/ DHRFARHETFENIZE X L 72 BEHD fa

*  Before, HRoefRAEIHENRT DI,

o After, HrsefdEIRE)# DI,

A Y=L goodsplot.str 1213, T—TMIT —REZXKRTDODOHEMBEA M) —LREENTVWET, 2

DOWEET + —IV K (Before B XU After) 1&, MSHTRINTWETH, Bl lEEE©ZO (K7t
BEEOMPELEZSND) Wi DD H PRI OB L b E T,
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Promotions
lgd Fle | Edt ) Generate
Anno_tatic_-ns_!
Class |Cost |Pr0mc|ti0n |Bef0re |Aﬂer |

1 Confection 23.990 1467 114957 122762 -
2 Crink 7H.2A0 1745 123378 157087
= Luexury §1.990 1426 133246 141172
4 Confection 74180 1095 251350 244486
5 Confection 90.090 1965 233645 261940
g Meat G8.550 1486 148555 1562352
T et 100.1... 1248 123760 128441
i Lucaury 2.0 1364 281072 265154
g Luecury G7.320 1383 287043 310857
10 Cirink 26.580 1835 240503 272053
11 Drink 65230 1194 212406 227H36
12 Meat 7e.E20 1595 174022 151459
13 Confection |41.330 1161 270631 2583189
14 Meat 35820 113 231281 23aTI2
15 et 44 050 1482 178138 185934
16 Cirink G4 520 1623 247553 27a03
17 Confection (51520 1863 148587 163505
18 Confection 90,030 1482 213102 225606
14 Lucaury S7.300 1542 246555 270052
20 Cirink 11.020 1370 164954 176502

255. B LA O IRFERETE B DR R

goodsplot.str 1Z1&. Z DM (RGERERFRIONIRIINT 28— v T =) 2RESTES/ — KD
Increase £\5 7 4 =)V RIZHEENTED, ZOT A —IVRERTT—TIARKRINET,

Promotions
lgd Fle | Edt £ Generate
— =
:i Annotations |
Clazs |C051 |F‘romution |Before |.&.ﬂer |Increase |
1 Confection 23990 1467 114857 122762 B7E8 s
2 Drink 79.290 1745 1233758 137097 11.118
3 Loy o1.990 1426 133246 1H172 4382 K
4 Confection 741380 1095 2313589 244436 2647
3 Confection 90090 1963 230648 261940 11157
5 Mleat B9.830 1486 148855 186232 4835
T fleat 100.1... 1248 123760 128441 3.782
g Loy 21010 1364 251072 268134 B.796
g Lucursy G7.320 1383 287043 310837 §.296
10 Crink 26580 1833 240803 272863 13.313
11 Crink BS.230 1194 212406 227836 7 264
12 fleat 79820 1396 174022 1814589 4.291
13 Confection 41390 1161 270631 263169 4640
14 fleat 36820 1151 231281 235722 1820
15 Mleat 44050 1482 178135 1683934 4376
16 Crink g4 620 1623 247855 278031 12461
17 Confection 31820 1969 148397 165395 11.441
18 Confection 90030 1462 213102 228686 6320
19 Lucursy 57300 1842 2468585 2700582 9.396
20 Crink 11.020 1370 1649584 178502 7163 E

256. HxFefe B OIS HEN
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THIZZDARNY —LiE, WO A NT T Le, BIEINZIRFCAEETTENZ DD o 72 3 & b L BN % LLER

Uiz /" U, T ICBET 8- R AT I -2 —N"—L A LET,

10
Increase

X 257. PERSBEMDOE A N 27'F L

AN E RS & WEDE 2 T 2ZOWT, PESHEHNE B feEiGE) o 2 MEMOIZIX, 1F& A ERRRLC
EWBERBEFEELET, Lo T, T4 Vay -V —Fhid=a—I) - xv NI —2%HHTEZ

T, MOMHAREZR 7 « =V K9S, T ORBETERENZ FHITE 2 EZA6NET,

Increase

T T
U S SRR S S
* |  eaiee
s 2
1011 1 - r."",---:k).' g 'Q.-.-i'-;-o?m
0.0 c%'g‘vo.‘booo‘
g °ya.°- Ir® s e
M AL TSl e
i : 0 : s o
B o® o2 |  d° od

I 1 I 1 1 I
1,000 1,200 1,400 1,600 1,800 2,000
Promotion

258. WXIRMEAN & AFe e MEvG B 3 A b D Ll

Class

! |@ Confection

@ Drink
@ Luury

| |OMeat

HBEF R b

A MV —L goodslearn.str (&, =a—F )b - 2y NT—=T T4 Vay - V) —zFHL,

MmoF2ITNET,

DN 25 1
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ﬁ '

/Increase

> %
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Age inyearsd -.162 508+ -.285
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vatiahles ordered by absolute size of correlation within function.
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o BUEOXtLOEHEH. Fl, HHEDA (T8O, BUEF OFREFEL REEE. BXOMWH 3% 2 0
B & b s NHBIMED B 2 A%, VERI B K ONRIRE IR AMHEBIME RSV TS, T OMOEKIZT

DR E TZER] Bl LTy—2 20 X7,

o AR BIOTMEEOHE 135 3 ORI L KL MOHBEMED D 0 £ 9 T ISl 7 B
BTHBD, 1ZLALED L TFHHETT,

21 T BROBAE2AOBBE DS CHIE T

243



fRig <y 7

Canonical Discriminant
Function 2

=320 -2.0 -1.0 .0 1.0 2.0 3.0
| | | | | | |
[ I I [ [ [ [
34
o | .
324
3224
3z 24
= 3z z4
3z 24
o4 Jf Jf 333332 ¥z4 ¢+ JF JF
3333333111112 24
33333331111111 * 12 24
33333331111111 1z 24
33331111111 1z 24
1111 1z z4
-1.0 4 Jf Jf JF 1224 JF JF
124
14
| | | | | | |
[ | | [ [ [ [
=3.0 -2.0 -1.0 .0 1.0 2.0 3.0

Canonical Discriminant Function 1
B 279. i~ 7

M~ Y Tk, IV — T BB OB ENE T D DIE L £, METHIOMBECMAGDES L,
FHMEL 7V — 7 OBBAKTHAINE T, MRS NSGE 1 BZ. V-7 4 BEY—EZX D
BEE) 2 OM» ST E T, HEKUE (XFE 1 OBFKCE EQOHBMERH 27720, Tk BEY
— U OFEN BRIIZREBEKEDE N L2 RBLTVWET, 2 2 OB V-7 1 BXU 3
EAY - R BLOMHINY—C A OFE) 200 E3, M- 2 OFKFIX. EAY—LZX O
B L 0 B EHBHELAEL, EMPEWEIZH D £, E-V—EA OHEFITIZTOMOBEENSIZHED
SEEINT, vy TIRBEKENE L, EERBRPPRETHLILEZ2RBLTVET,

—fRIZ, TARY AT () ¥—=2Z DW= Z N — T OELOHISIRIZN T EES 1, §RTDO I IV — T
DNEEEH F VBRI ERBLET,

BAD 2 FEOHHIBEBDOAPRINTWETH, 8 3 OB ZTNEEHETERNE WS Zehbd
o, Ty TIRHHE TN OO LM ERL £T,
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DIRHER

Predicted Group Membership

Customer category | Basic service | E-service | Plus service | Total service Total
Original  Count  Basic senice 124 11 £1 o] 266
E-senice 49 15 58 45 217
Plus service 102 14 112 53 281
Total zervice 40 16 37 143 236
% Basic sermice 47.0 41 224 254 100.0
E-senice 226 6.4 267 438 100.0
Plug serice 36.3 a0 384 1849 100.0
Total gervice 16.9 B3 157 G0 6 100.0

#. 38 5% of ariginal grouped cases correctly classified.
X 280. 43 ¥E#EH

Wilks DT LXMW S, ZOETNMEFHRLUTW ZLDEENT WS Z 2000 FTH, COREENT

WBPEHET BITIE D ERER2FARIBEL DD T, BT —X%2FEL T, Nulll €7V (0%

D, FHIOBRWET L) ZTRTOEEEZE—X)L - TV—TTH2 MY —C 2 ZHELUET, LA
> T, Null EFIVIEKHD 281/1000 = 28.1% HHEEITT, ETIVIIBEED 11.4% 75 39.5% ZHUEL
F9., FrZ. ETVE =& - V-V R OFFEHTAILIENTVWET, 772U, EEV—EX
DB DT HYa TIRIERICETFLLTWET, TS DFE 20T 5121k, HloFilliiz o5
MBERDHDGERDH Y £7,

ZH

ZNTNOEED S D NAMEHERICHE D E, ERFAD 4 O Y- AHH] Z1V—T70 1 DITH
BEDHETLHHET IV ERERLEZ Uz, BETHB IO~y 72HL T, HER—A%2E 7 AV b
BT 2DIZEDERDBRBELODERFE L Uz, BB, DEERIEET VY EEY—Y A OFE %5
BT AITEMWTVWARWI EEZRLUTWET, s OBEEZEYNICHMET 250 FREEEE Hk T 5
WX SBRLFENPBETTH, FHILEIS ELTWVWAIARIZE>TIX, ETNMF=— A 2% TZ
EMTEDZGAEDRDHDFT, HIRIE E-Y—VY A OFEZHINT S L ICELPRWESE. ET VIS
WCIFHECTH BDAEEMED D D 9, TN, E-¥—E AT L A LR 2 EAH IR WERERTH L2550
2T, IR, BEICHT 2REOBENGEEXMNMT — A £2I3HREY— X OBFE»LH26
INDGE, ETIVIIBELREHREZRMLETLZIE2H D T,

INSDERIFIFEZ T —XDOAIIEDVTVWAEZ EIZEELTLEE W, ETAPMUOT—ZIZHLTED
FREE LI NT VAR DT 5121, T—2XK4S/—RK2HEALT, TAMNBIOKREFHIZLa— KD
Y7y bEEHRKLET,

IBM SPSS Modeler T{#ifH X5 €T INVAERTIEDOE AN EBEOHAIE. TIBM SPSS Modeler 7L I
DAL - 1K) 282UTLEIW, ZOHA R, 1 VA=) - T4 A2D [¥Documentation] T 4
L7 M) —=iZhbb ET,

21 ® HKBERLOBEONE R 245
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£ 22 E XEHBUVERET —9DOMH (—RIEBREETI)

K HU 0 AEFET =220 UT (DX 0, NRLDE14 R bOIEMHSREZNIART, B0 XA
FELZHDULPA15RWIER). KB4 RV FONAYF—=RIZ Cox EFTNVEBEHLTWEY
B, FHBOT - B E TV EL £ 9,

EEOEFEEE SO0 2 MEOERBEOENEZ IR T 5 72O 1255 S -1 2E D E O T I,
ulcer_recurrence.sav \CNEINET, ZOTF—X - kv M, OB cERBLIOOTEINTVWET,
— ALK E TV 2 HHT 2 &, #BOHESBAIRE TV OFERE2ERTE E T,

ZOHITIE ulcer_genlinstr £ \N5 A MY —LZMHA U, ulcer_recurrencesav £\ T —X + 77 A )%
BMLUEd., T—& - 774)IF Demos 7ANKE—I1ZHO, ANY—L « 7 7A4)IE streams 7 7 + )b
X—=ZhHbh xT,

2N —LDYERK

1. Demos 7 &V Z—® ulcer_recurrence.sav %+ U3 Statistics 7 7 TV AT/ —RZBML £,

{ result

@. — éu Treatrent-only
ulcer_recurrence.say Field Reorder\‘ '_;. =
w — & —
Treatment-anly precur Tahle

X 281. EBOEFKEFNTEY TV - A Y =4

2. V=R J)—=FD [74)V&x—] &7T, TID] B8O THZ 2B L0 £,

1. Collett, D. 2003. Modelling survival data in medical research, 2 ed. Boca Raton: Chapman & Hall/CRC.
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{J ulcer_recurrence.sav

[P m]

Fields: 6 in, 2 fitered, O renamed, 4 out

| Field
age | —_— :age
duration | — duration
trestment | —_— trestment
time | W time
rezult | —_— rezult

@ view current fields  © View unused field zeftings

282. RELRT 4 —ILRDT 4 VX —

3. V=R /=KD [&A4T] 2TT, Tresult] 71— RKDEENZ W5 %
(7578 2% ELET, 1 OFERIZ, BEFIHELTWSEILE2RLEYT, ZTOMDT7 1 —IL

Fo®ENE, T AN ITHEL XY,

4, MEDOFEHAAAR] Z27Vv oL, T—RE2AVAX VAL ET,

z's ulcer_recurrence.sav E

| Field | Wessursment | Vaues | Mssng | Check | Role
{} e ﬁ Cortinuous o [237E] Mare _\ Input

{} duration {l Crrdinal | 1.2 | Mone _\ Input
{}treatmem &3 Mamiral | 01 | Mare _\ Input

{} result 8 Flag 10 | Mone @ Target

@ Viewr currert fields  © Wiew unused field zettings

X 283. 74— ROBEDHE

5. 74—V KRDOUWREZ/—RZEMU, THM] . [HE . BXC [Eih] 2 ADEIZEEL
T, ZNZED 74—V REZETNVZANTBIEEZEI P F D, Collett DFERAZEHTELLSIZLE

248 IBM SPSS Modeler 18.1.1 77U r—ay HA R
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j—o

Ed Field Reorder

@ Custom Order © Automatic Sort
Type: m Marme: m Storage: nﬂ

Type | Field | Storage
------------------- [ other fields |

;[l duration {) Irteger

&) treatment {} Irtecer

& age {) Integer

Clear Unused

Mote: Fields added dowwn stream of thiz node are not reordered.

284, FHEBVIZ T4 =V REZETIVIZANTEEZHOD T 4 —)L RO AREEZ

6.
EQ I

ME 1 (RK)) 28R02BHTFIT) - UTERLET,

—MACRRIEL ) — F &Y — R - ) — iz L Ed, —MIL —FT TETNV] 27%2)v 2oL

THE, 52 o7 TV =R LR

5ARYENTHY, ETMIBITEZDORRIZ AT A X —HEMDMBPUIRND Z L 2R LU ET,
IED R R o I P HIME I, PREDHEIN S 2 HAEOMEROMMNEZRL £, KRSLFEHERD

ZEMFHIONIT ) —Z, £y bOZFOMD I T T) — 1z U CHEOWEROBMZ R L ET,

822 B KRB YI0 AR T — R ORHT (—BALFRILE T L)
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ot ) s s

Model name: @ auto @ Custom

Uze partitioned data

@ Euiled model for each split
bodel type: @) Main effects only ©) Main effects and all two-way interactions

Oftset:

@ varighle

Offse fild )

@ Fixed value

-
“alue: 005

Baze categary for flag target:  |FIFSE (LOwWESL)]

Include intercept in model

X 285 TN - AT a vDER

8. [ZF¥AN—=1]) 27%2Vvwr L, [ZF2—b] 2RRLT, TF2S—b - EFWERA T
YavEEMILET,

9. [ZIH] ZofMme LT, [HBOE-NH 2 v 7B%ke UTHERLET,

10.  TEEME] Z AT =)V - RTIA—R—%MET D HEL UTERL, 774V ME 10 OFFIZLE
ER

11, TEE) 2RTFOAT IV —HE UCERLET, ik, ThENORTFOE 1 o573 —»
SZWAHT ) =B VWHI T ERLUET, ETILTOIDRROEIZ, NT A =X —HEMED
fRBIZ RN E T,
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result

natations

i
-

Moce: Simple @ Expert

Target Field Distribution and Link Function 1

The distribution that yvou choose determines which link functions are available.

Distributions | Binomial = | Parameters

i 10
; 15
- s
Link function: |Complementary log-log X Poyver: 005
Method and iterstion settings are not available if Distribution = Mormal and Link
Function = Identity.
Parameter Estimation 1
: - . : - . [ ]
Methaod: Hyhrid Mairium Fizher scoring terations: 1
. = [ ]
Soale parameter method:  |[Fixed value Wl 1.0
Covariance matrix @) Model-bazed estimator Robust estimator

Singularity tolerance: AE-007

Walue order for categorical inputs: azcending @ Descending © Use data order

[ ok |[# Run ][ Cancel] m

286. Iﬂfxlf—- ]\ . 7]‘7"?‘/3 \/a)i%]:ﬂ

12. ANV —=LZFEFLULTETIN - 7y b2ERLET, TNIEA N —LHEES KOG EBEO T£5

IV ALy MTBEIMENES, ETVOHMEERRTSIE. 7y MEHZY Y I,

ik T2 Z@RU £9,

EITE S

ETILHMRDORE

Type ll
izl
Source Chi-Souare df Sig.
(Intercept) 536 1 464
duration o3 1 955
treatmert 382 1 837
age 338 1 550

Dependent Variable: Result
Model: (Intercept), duration, treatment, age

B 287. ERNRETIVDE T IVEIRMRAE

RAICARZRET VRIS D A, 72720, IBFIRIZB T 5 HIL o 2 HEIEERIRICBIO A 5 5 7=

D, BEDOADH/NETIVEZETIVIEHE LTHAEITET,

8 22 # KEHTBYI 0 EFT — R OaH (—BLREE L)
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BEODADETILOES

1. —ffbfgil ) — RD (74 =)L K] XRTT, Ta—¥—Fc2MHH] 22Vv 2 Lx7,
2. [HEE) 2WHREUTEKRLET,
3. [l #2H—DABNE U TERLET,

P el | et prahze vctsins

O uze type node settings @ Lize cuztom zettings

Target:

Inputs: | g treatment

(X

Splits:

Use weight figld |

Target field represents number of events occurring in & set of trials

@ varizble
Trials fiele | |8

@ Fixed value

-
Humber of trials: 1058

(o J (B ron)  comnl)

X 288, 74— K- X7 avDER

4. ANV —LEFEFTLUC, ERINEZETV - F 7y bEREET,

ETN - FTy bTy TEM] 27 EBRUCFHECAZB—LLET,
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93% Wald
Confidence Interval Hypothesis Test
Wizl

Parameter B Std. Error Loswver Upper Chi-Sguare df Sig.
(Irtercept) -1.442 012 -2.425 -480 g.282 1 004
[treatmert=1] 378 E288 -.855 1.610 361 1 545
[treatment=0] 03

(Scale) 1b

Dependent ariable: Result
Madel: (IMtercept), trestment

a. Set to zero because thiz parameter is redundant.

b. Fixed st the displayed value.

289. IBEDADETIIZET BT A — X —HEEHE

EER 2 FMEHOWFEL NV TOMBFTHMED A, DF D, [treatment=1] DFRE) I EZER
TlEH D EFRTAMN, W B ONXTA—R—HEEMD A DLV EREL, ZOLDEYD 12 HAMD
FHREMERPAML TWE 720, 1B Altreatment=0] > B [treatment=1] E D HENTWBEREBINE
I, METRME W+ BESIR) &, P(recur, ) » 12 FHAMEDER t(=A or B) DEDFHFAEMHET
HB5ED log(-log(1-P(recury, ) DHEEME TS, ZhodFHIERIZ, T—% - £y hOZTNENOB
iz UTEREI N ET,

BRS L UEFDO TR

ﬂDeri\re §
[

S

L —
=

Derive as: Conditional

| Settings | .:{ln‘ngt.ati.g!jlsl

Mode: @ Single © Muttiple

Derive field:

|precur

Detive as: ICondﬂionaI = i
Fisldtyps: | 4F =Default- = |

i @

Ther:

Elze:

| |

290. 74—V RER ./ —ROHBREA T ayv

022 # KRB0 ERFET — R0 (—RE T L) 253



1. ZRNENDOEHFIZOVT, ETIVIETFHRER L 2O TFHKEROMREZZ a7 )7 LET, FHILAE
HRMERE2HRT 121, ERLUEZETLE ALY MZa¥—=LUT 71—V RER/ — RE2EHLE
\j—o
[#&E|] X 7T, REZ74—IVRE& LT lprecur] ZAHL X,

3. T&MfTE] EUTIRESES LD ITERL 7,
4. TReVX—) Kaxves)y oL, ] FMEOACLVE—2HE T,
|#] Expression Builder - Derive : If
! $G—result'|
General Functions: X - Fields s
Function Return { : : Type Field Storage
iz_integer( TEM) Eoolean g b . 8 resul Irteger —
iz_real(ITEM) Boolean . | :El duration Integer
i=_number( TEM) Eoolean | = == &) treatment Irteger
iz_stringlITEM) Boolean - ﬁ age Integer
i=_clate(ITEM) Bonlean e m 8 FG-result Irteger
iz_time(ITEM) Boolean e ﬁ FGP-result Real
iz_firmestamp(ITEM) Eoolean ﬁ FGP-0 Real
iz_datetime(ITEM) Boolean ﬁ FGPA Real
to_irtecer(ITER) Irteger ﬁ FERP-result Real =

is_integer(ITEM)
Returns & value of true if ITEM type is an integer. Ctherwize, returns a value of false.

m Check expression before saving

Ok Cancel

B 291. 7 4 =)V RAER — F: If &RMEOREL X —

5. T$G-result] 74—V FZRIZFHEAL £7,
6. TOKJ] 22VvwZULZET,

74—V RES S — 8 Tprecur] &, T$G-result] 7% 1 D& [Thenl ROf%E, 0 DHEIX
Else] RDOfEZIGL 7,
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u Expression Builder - Derive : Then I

'4GP-result '|
General Functions Fields X
Function Return Type Field Storage

iz_integer(TEM) Boolean 8 result Integer —
iz _real(TEM) Eioolean {l duration Irteger
iz_numkber(TEM) Boolean 6’5 treatment Integer

i _string(ITEM) Eioolean & age Irteger

iz_date(TEM) Boolean 8 FG-result Integer

iz_time( TEM) Eioolean & FGP-result Real
iz_timestamp(ITEM) Boolean ﬁ $GP-0 Real

iz _datetitme TEM) Eioolean & FoP-1 Real

to_integer I TER) Integer ﬁ FGRP-result Real =

is_integer(ITEM)
Returns & walue of true if ITEM type is an integer. Otherwize, returns & value of falze.

m Check expression before saving

Ck Cancel J Check Help
 mmm—)

{¢2 MirvacnFF AFFira Dirkiwa Mananar

B 292. 74— RERK/ — K: Then RORXE N X —

7. RENVE—] F&2%227Uv 2L, [Then] ROAENV KX —Z2FE £9,
8. [$GP-result] 74—V RZ2RIZHALE T,
9. [OKJ 227VvyZ2UL%7,

ﬁ Expression Builder - Derive : Else
1-1§GP-resulr!|
General Functionz Field= .4

Function Return Tpae Fiele Starage

iz_integer(ITEM) Boolean 8 result Integer e
iz_real(ITEM) Eoolean {l duration Integer
iz_number(TEM) Boolean é’j treatment Integer
iz_string(ITEM) Eoolean & age Integer
iz_date(TEM) Boolean 8 FG-result Integer
iz_time(ITEM) Boolean & FGP-result Real
iz_timestamp(ITEM) Boolean ﬁ FGP-0 Real
iz_datetime(I TEM) Boolean & FEP-1 Real
to_intecer(I TEW) Integer ﬁ FGRP-result Real =

is_integer(ITEM)
Returns & walue of true if ITEM type is aninteger. Otherwise, returns a value of false.

m Check expression before saving

CK Cancel

X 293. 7 4 —J)V R{EEK ./ — K: Else AOAL I X —

10. RV &X—] REZrv%22V vy 7L, [Elsel] RDAVLINKX—%2FE £7,
11. T1-1 2Rz AHUT, T$GP-result] 74—V FZRIZFHAL X,
12. TOKJ 227V w 2 UL%x7d,

022 # KRB0 EFET - RO0N (—BbRiE L) 255



Derive az: Condtional

seties | amntatons |

Mode: (@ Single @) Muittiple

Derive field:

farecur

Derive as:

Fieldtype: | 4 =Default i

If:

|'$G-re&ult' | @

Ther:

|'$GP-resuIt' | @

Elze:

[1-3Gp-resutt | (@)
x| [cancel 2y | _pese

294, 7 4 =)V RERR/ — FOFREA T a v

13. 7—_7“}&. /-—]\“?274“}I/F’flﬁ}ﬁ/“‘]:c:%ﬁbfii?bij—o
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[ Table (10 fields. 43 records) 1 =Jo&d
ld Fle = Edt &) Generate il By
— .
Tahle é!l_.&.nnqtatigns“l
resuft |dura1i0n |trea1merrt |age |$G-resuﬂ |$GP-resuIt $GP-0 FGP-1 |
1 1 2 1 4a 0 0703 0703 0292 -
2 0 1 1 730 0.708 0.708 0282
3 0 1 1 24 0 0703 0703 0292
4 0 2 1 55 0 0.708 0.708 0282
5 0 1 0 a6 0 0.7a9 n7s9 021
5} 0 2 0 49 0 0753 0789 0211
7 0 1 1 0 0.703 0703 0292
8 0 1 0 4 0 0753 0789 0211
g 0 1 1 23 0 0.703 0703 0292
10 1 1 1 370 0.708 0.708 0282
ikl 0 1 1 | 0 0.703 0703 0292
12 0 2 1 760 0.708 0.708 0282
ik} 0 2 0 3@ 0 0789 n7sg 021
14 1 1 0 27 0 0753 0789 0211
13 1 1 1 47 0 0.703 0703 0292
16 0 1 0 54 0 0753 0789 0211
17 1 1 1 3@ 0 0703 0.yos 0292
18 1 2 1 27 0 0.708 0.708 0282
19 0 2 0 a8 0 0.7a9 nyeg 021
20 0 1 1 750 0.708 0.708 0282 z
T — V]
o)

X 295 FilfE=R

B A ZED Y THEFIIRIO 12 7HICHEFET 5 FHIFERIL 0211, B% B TlX 0292 T9,
1-P(recur;, ) (& 12 ZAHBRDEFMHEETH O, EETF VA PIEVWTREVELAEWGELDH D £
ER

HEIC L 2BEERDETIVIER

FRTOETFT N TOREIZ, BRADOHFHERIZINELZBERERVEHINEZETT, Thbb, £<0EHIX
RAID 6 WHAMIZERLEEATLE, TEhENZ] ET 0, SEBFIIZARY SBRELEZNLES
MELERT S 2 HOEIZEZETIVILLET, ZOETIVIEET DT, TDOT—X - &y bDELHL
HEWCY, Z3 ulcer_recurrence_recoded.sav TRDOWIBIENTEET, ZD77AWZIE, RO 2 FEHLH
DBEMEBPEENET,

o MM, r—ADRRIOFAENRE -1 2 BFEHICH ST E0NE S 2080 9,

o HMIOKER, BB ECDEBEFEIZHREDR D0 E D P EiliklL T,

FNENDITDT—A (BHF) X, VAZESIZEENLIXMEI LT 1 2O —AIZFHFES5LEY, LA

ST, FIZIE, BF 11X 2 2075 —RIHFLGELET, TOHE. 1 207 —AEHEBHR S NRh > 2
HOHFEHBIZETZ2HDOTHD, £S5 1 207 —ARFEEDTHRINE 2 FHOFAEHRIZETSE D
T, —f. BAIOMBIZHERA SR I N2, BF 10 3B D75 —AZHFLS LT, BE 16, 28,

BEC 34 1%, 6 WABRITHEIPOANZZZD, HILVWT—X - 2y FOHF—DT —AZOAIZFE L E

ER

1. Demos 7 # )X —® ulcer recurrence_recoded.sav % ¥5 U9 Statistics 7 7 T IV AN/ — RZEHL

9,
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‘ffffi-r
— Feriod-Treatrnent

ulcer_recurrence_rec.. FieIdReorder\ | EEER

Feriod-Treatment nrecur Takle

296. EBOFEFKETFRT AT - AR Y =LA

2. V=R J)—=FD [T7a4V&x—) 27T, [TID] . TBZ . BXC [§EE] 2RH4AL0 7,

4 ulcer_recurrence_recoded.sav

Fields: §in, 3 fitered, O renamed, 5 out

Il Field
_ B ind :
age | —_— age
duration e duration
treatment | — treatment
time: | > time
result | M result
period | —_— period
resutt? e result?

@ view currert fields  (©) view unuzed field settings

297. RN T 4 —)LRDT 4 IV X —

3. V=R /=KD [ZA4T] 27T, Tresult2] 71— ROHKENZ W4 #2FEL, HIEDORE
WZ IS5 278 28BELEd., FOMOT7 4 =L FO/ENE, T TAH] THRELET,
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) ulcer_recurrence_recoded.sav E

i_______Ei_eId [ Measurement | Walues [ hissing I Chqgk__”r Fole -i
_{}_ age f Continuous . [2378] Mane :\ Input

{_:}_ durstion i {l Orelinal | 1.2 | '[\Jonnla :\ ImpLt
_{}_treatment %_quinal | 01 | -[\Jonn_e :\ It

_{}_ period : {l Orelinal | 1,2 | -[\Jonnla :\ ImpLt

{} resutd 8 Flag | mo | :_Nonn_e @ Target

@ view current fields @ View unused field settings

(Lo [caeel

X 298. 7 14— KO&EEDHKE

4. T4 —=)IVRDWURFEZ/ —NzEML, AE) . TR © AR . BX0 TER] 2 A0
EzfgE L ES, AR 2% 1 OANE UTERT 2 (ETNVOYURIEHIZEDHR) &, XI—&
BOI7NVvey NEEEG U CHHRSREZIRDADE L5120 ET,

]
CA[ER (m)

Reorder || a

@ Custom Order © Automstic Sort

Type |Field |Storage | @

------------------- [ other fields | ;

| perio 3 Integer | F |

{l duration {} Integer

&) treatmert O Integer "‘

ﬁ age {} Integer

- *
4

: Clear Unuzed

Mote: Fields added dovwn stream of this node are not reordered.

X 299. HMLEEBDIZT 4 =V REZETIVIZANTE2DDT7 4 =L RDARFEX

5 —bigil ) — R, TEFIN]) XT7T%2 20Uy 2 UFET,

W22 B REETB 80 EETF — RO (—RLiRIE L) 259



o o s s

Model name: @ auto © Custom

Uze partitioned data

@ Euiled model for each split

bodel type: @) Main effects only ©) Main effects and all two-way interactions

Oftset:

@ variable

offetion | Al

@ Fixed value

Walue; 0.0

Basze category for flag target: |FIFSLL

D Include intercept in model

X 300. EFI - AT avDER

6. I 1 &K 2HROBEATITV - UTERLET, ik 2 o5 I) —NuREAR
HARYENTHY, ETFTNIBITEIDOFEIINTRA—X—HEMEDEPRIZRNEZ 2 RUET,

7. TETMTEIR 280 ZBIERL 9,

8 [ITXx2X—F] 272 2Vw L, TZF2—F] 2BBINLT, TF2S—b - EFUVERA T
vavEEMZLET,
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fd result

@0
WM Expest M

Mode: (© Simple @) Expert

~Target Field Distribution and Link Function

The distribution that yvou choose determines which link functions are available.

Distribution: [Binomial - l rParameter
Parameter for negstive binomial:
@ sSpecify value salue: 100
© Estimate
.
Parameter for Tweedie: 1558
- s
Link function: I_Complemerdar_\,f log-log - J Pavver: 0.0 5

Method and iterstion settings are not available if Distribution = Mormal and Link
Function = Identity.

~Parameter Estimation
i -~ . : - . [ ]
Method: Hyhrid > Maximum Fisher scoring fterations: 1=
:
Seale parameter method: |Fl><'.3d valle . ] walue:
Covariance matriz: @ Model-bazed estimator (&) Robust estimatar

Singularity tolerance: (1E-007 ™

Walue order for categorical inputs: @ azcending @ Descending © Use data order

301, TFAN—h - AT a3 VDEIR

9. [ZHH) 2o LT, TR 2 ) 7 Bfe UTERL X7,

10. TEEMH] ZAT =N - XTA =R —%2HETLHELLUTERNL, T740ME 1.0 DFFiZLE

-a_o

11. [&E] 2KF0A57F IV —HE UTGERLES, ZHhid. ZNTNORFDE 1 OAF T =
ZBHT T —IZRBL WS I ERLUET, ETFTLTDOIDFEROGGEIZ, /T XA —X—HEMD

frplizkn£9,

12 AMV—=LZ2EHFLTETN - 77y b2ERLET, THIEA M) L5888 X O4HLEEDO T£57

V] Ny MZEBMENET, ETIVOHEMZRRTSHICE. FTy 220y 70,

7k T2 2@ R0 X9,

822 B KRB YI0 AR T — R ORHT (—BALFRILE T L)

el %
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ETILHRDORE

Type lll
Wizl
Source Chi-Sojuare of iy
prerio 464 1 496
duration Rululu] 1 853
treatment A7 1 732
age 314 1 A75

Dependent Yariable: Result by period

Model: period, duration, trestment, age
302. EMBEEFNVDOET IR EBRE

MEHICERRET VIIRIEZD D $HA, 2720,

BRI RIZ B 2 HAL - 72 AHE S ER R BO A D 5 7=

D, TNSDETNIHOATH/NET VAEBESEIEET,

WBNETILOES

1. — bR ) — R 74—V K] X7 T,
2. Tresult2] Z#X%e UCERLET,
3

A—¥—EEMH) 2270 v 7 LET,

MR L0 AR 2 A& UTGERL £,
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E Period-Treatment

@) Use custam zeftings

d petiond

&3 treatment

i ﬂ

Splits:

[ Use weicght field

El Target field represents number of events occurting in & set of trials

@ variakle

Triglz field:

@ Fixed value

Mumber of trials:

10

(o J(® Fun[ conesi

B 303. 74— K- AT 3R

4. ) —FZFEFLTEREINEZETILVEZERBL, EEIhEZEF L2 Ly Mza¥—-LTTF—7) -/
—F2EREL, Th2EFLET,

NSA—4 —HEE

Q5% Wigld
Confidence Interval Hypothesis Test
Stel. Wizl
Parameter B Errar Lower Upper Chi-Square df g,
[periom=2] -1.794 5792 -2.929 -E59 9597 1 ooz
[perioc=1] -2.208 5312 -3.365 -1 047 13926 1 ululi]
[trestment=1] 185 £279 -1.035 1426 nar 1 756
[treatment=0] 02
{Scale) 1t
Dependert Wariable: Result by period
Madel: period, treatment

8. Zetto zero because this parameter i redundant.

. Fixed at the dizplayed value,

X 304, BEOADETFIVIZET S5 A — & —HEEfl

5 22
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BRNBRIIHENCEZERTIED D AN, BR B DT A =X —FHHEPRIID 12 7 HE DS
HELDORINZBIEL TWa 72, A X B KoEBhTVWRERBINET, HIBOMIE 0 &IFR42 0
PICAERETTY, ZHRUFENAEA L TOWRVWE WS HRIZLD2E0TT, HEIORE ([period=1] &
[period=2] DFFILFRUEDZE) &, ETNVHEROBEN S0 5 K512, MEMNIZEETIES Y FHA,
MR P HAE GHFORER + BESIR) 1%, P(recur, ) A p(=1 or 2, 6 WA XX 12 AAZET)DH
fil, FEE DI t(=A or B) 21T > RO HFAEMRTH 5L ED log(-log(1-P(recur, ) DOHEEIETI,
INSOFHIERIZ, T—X -2y bOZNETNOEMICH LU TERINE T,

BRE L UEFOTFRIRESR

H Derive

Derive as: Conditional

e A—
‘ Settingz |. 5nnu:(a’3i0ns |
bttt gied

Mode: @ Single © Muttiple

Detive field:

|precur

Detive as:  |Conditional

Then:

| |
Elze:

| | (@

X 305. 74— R{ERR /) — ROREA T a v

1. FNFNOEEZEIZOWT, EFTNVETPHERE 20 PHlfERoMR22a7) 27 LET, PHILE
ERMERZERT DI, ERUEZETILVEZANALY Miza¥—LT 74—V RER ./ — K288 L %
7,

2. [&El 27T, WEZ74—IV K& LT lprecur] Z AL X7,
3. [HMAE] CUTIRESESZEDITERLET,
4. TREWVX—] Kavzrs)v oL, Mf] £MEORCV X —2HEET,
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Expression Builder - precur : If I

'gG-resulc2 '|
General Functions Fields o o
Function Return Type Field Storage

iz_integer(TEM) Boolean 8 resuft2 Inteaer e
iz_real( TERM) Boolean {l period Integer
iz_numkber(ITEM) Boolean {l duration Inteaer

i _string(ITEM) Eioolean ‘f) treatment Irteger

iz_date(TEM) Boolean ﬁ age Integer

iz_time( TEM) Eioolean E:l FG-result2 Irteger
iz_timestamp(ITEM) Boolean ﬁ FGP-result2 Real

iz _datetitme TEM) Eioolean & FGP-0 Real

to_integer I TER) Integer &; FGP-1 Real =

is_integer(ITEM)
Returns & walue of true if ITEM type is an integer. Otherwize, returns & value of falze.

@ Check expression before saving

Ok Cancel

B 306. 7« —) RER — R: If DRIV X —

5  [$G-result2] 74—V RZ2RIZHEBALE T,
6. [OK| #7VUvw o LET,

74—V RER — K Tprecur] &, [$G-result2] % 1 Ol [Then) RDfE%, 0 DEEIE
[Else] ADfHZHEFL X7,

Expression Builder - precur : Then
'§GP-resultll
General Functions by d
Function Return Field Storage
iz_integer( I TEM) Eioolean 8 resut2 Irteger =
iz_real( I TEM) Boolean {l period Integer
i _number( TEM) Eoolean d:l duration Irteger
iz_stringlITER) Boolean &) treatment Integer
iz_date(ITEM) Eoolean & age Irteger
iz_time(ITEM) Boolean 8 FG-result2 Integer
iz_timestamp(ITEM) Eoolean & BCP-resut2 Real
iz_datetime(TEM) Boolean ﬁ $GP-0 Real
to_intecer(ITEM) Integer ﬁ FEP-1 Real =
~

i5_inteqger(ITEM)
Returns & value of true if ITEM type is an integer. Ctherwize, returns a value of false.

@ Check expression before saving

Ok Cancel

307. 74—V KMERK/ — K: Then KOARLIL X —

7. TRENVZE—] &2 27Vv 2L, [Then] ROALNEZ—%2HEET,
8.  [$GP-result2] 74—V KERIZFHALET,
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9. [TOKJ #227Vvw27UL%9,

- —
- = [ |
Expression Builder - precur : Else
1-'§GP-resultz!
General Functions E Field= % 2
Function | Return Field | Storage
iz_integer( | TEM) Boolean 8 result? Integer =
iz _real(ITEM) Eoolean ;[I period Irteger
iz_number(| TEM) Boolean EEI duration Integer
iz _string(ITEM) Eoolean &) trestment Irteger
iz_date(TEM) Boolean ﬁ age Integer
iz_time(I TEM) Eoolean 8 FG-resut2 Irteger
iz_timestamp(ITEM) Boolean ﬁ BGP-result2 Real
iz_datetime(ITEM) Boolean .& FGP-0 Real
to_irteger(ITEM) Integer ﬁ FGPA Real o
N

is_integer(ITEM)
Returns & value of true if ITEM type is an integer. Otherwise, returns & value of false.

m Check expression befare saving

CK Cancel

308. 74— RPER/ — K: Else XDRXEINL X —

10. RV &X—] REx %2V vy 2L, [Elsel] RDALINX—%2BE £7,
11. T1-1 2RI AH LT, [$GP-result2] 74—V RKE2RIZHFALET,
12. [OKJ #22VUv 2 L%,
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Derive az: Condtional

Setios | aotatons |

Mode: @ Single (%) Muittiple

Derive field:

farecur

Derive as:

Field type: 9’ =Default= =

If:

|'$G-res:urt2'

Then:

|'$GF‘-res:urt2'

Elze:

|1 “FGP-resultz’

e

309. 74—V KREK/ —ROFRELX T ayv

13. =7 /) —K&2T7 44—V RMEK/ — FIZERL TEFLET,

822 B KRB0 EET — X0 (—RILHRTEFIL)
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Table (11 fields. 78 records) #3 M=) <
g File = Edt ) Generate i
——
Table | Annatations
S
resut2 |period |duration |1reatment |age |$G-resun2 FGP-tesult2 FGP-0 |$GP-1
1 0 1 2 1 45 0 0.875 0875 0125 .
2 1 2 2 1 45 0 0.817 0817 0133
£ 0 1 1 1 730 0.875 0875 0125
4 ] 2 1 1 73 |0 0.817 0817 0133
& 0 1 1 1 4 0 0.875 0875 0125
(5] ] 2 1 1 a4 0 0.817 0817 0133
i 0 1 2 1 a8 0 0.875 0875 0125
5] ] 2 2 1 a8 0 0.817 0817 0133
9 0 1 1 0 %6 0 0.896 0296 0104
10 ] 2 1 a a6 0 0.5347 0547 01353
ikl 0 1 2 0 49 0 0.896 0296 0104
12 ] 2 2 a 43 0 0.5347 0547 01353
ils) 0 1 1 1 70 0.875 0E75 0125
14 ] 2 1 1 71 |0 0.817 0817 0133
15 0 1 1 0 40 0596 0596 0404
16 ] 2 1 a 41 0 0.5347 0547 01353
i 0 1 1 1 230 0.875 0E75 0125
18 ] 2 1 1 23 |0 0817 0817 0133
15 1 1 1 1 o0 0875 0E75 0125
L
20 0 1 1 1 30 0.875 0875 0125 hd
e — [*]
310. 7 HIfifER
# 3. HFEOO TR
(L 6 7H 12 7 H
0.104 0.153
B 0.125 0.183

BEO TR S, 12 7 ABOLEFHERIL, 1-(P(recur; ) + P(recur, )x(1-P(recur; ) &H#EETE %
T, Lho T, ENTNDHRBEIIRDEB D T,

A:1 - (0.104 + 0.153*0.896) = 0.759

B: 1 - (0.125 + 0.183*0.875) = 0.715

X, A BRI 0ENZBEEE U TIHEREINICERERY R— b THEZ L 2HERLTVWET,

21

— AL E TV 2L T KEFTHE 0 AFT — I —HOMMBS BB ERET V2 #ESSEE L

7o 10 A ZEINT DODYR—bAIH DL —J, MEHITARERRR 2G5 7012 & 0 KRR ZW5EN

BEERDGENDHVET, EL BEOT —XEBET 25 R5FENMN DD 7,

« REFHMRODZETNVEBEAT S LW, Kz T & IV —7) O TiRRARLRLEE
WHHET,

IBM SPSS Modeler Tf#ifl X315 € FINAER T IEDO B R FE DX, [IBM SPSS Modeler 7 )V 3
DAL - HA K] 2BHBLTLEIN,

268 IBM SPSS Modeler 18.1.1 77U r—Y 3> HA K



FEEFHiE

—ERE T VPRSI, SEIFRETIVITHST BENIBY - TT,

o A bR HRERTR E X, BB E TV AR U CRERIE 2 WREIC L E T,

s BMBEASETVNFHEEZMEMALT, S0FL - AVR—F Y MERZBRERE. £23F0M52ED
AT = WRBEBIZET VEEAEI LI LN TEET,

HENE
—HALARILE TV DOFNIZOWTIE, IROTF AP ZZRELTLLEZE W,

Cameron, A. C., and P. K. Trivedi. 1998. Regression Analysis of Count Data. Cambridge: Cambridge
University Press. Dobson, A. J. 2002. An Introduction to Generalized Linear Models, 2 ed. Boca Raton,
FL: Chapman & Hall/CRC. Hardin, J. W., and J. M. Hilbe. 2003. Generalized Linear Models and
Extension. Station, TX: Stata Press. McCullagh, P., and ]. A. Nelder. 1989. Generalized Linear Models,
2nd ed. London: Chapman & Hall.
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823 E ROV VOREHERALZMKEBEEROST (—HREHRE
EF7I)

— AL E TV IEER T — X 20T 2581087 Y VHEREEZEASELDIEHTE XY, HIZIE,
DG 2 XRB L ORI 2T —& - £y ME, BICL 2 EWMOBRGICBRL T, FHEISEZS
nde, RV VHETRETDZIIICHIAYV Vb E2ETMET 22 EDARETH D, TR LTHE
LNDETNVIE, EOMMERA THRRPBEFEEZZIX T WAL N5 TR £7,

Z DHITIE ships_genlinstr N3 A MY —L&MHU. shipssav E\WIT—X - 77 A IVESRLUET,
T—=R - 77 ANVI& Demos 7ANK—=IZHY, ALY =L T 7 AN streams VT 7 HNVX—IZdHH X
ED

KIMTOENVEBRDETFTIVALIX, XA TI2X>TH - 2REHA PEZL-O, ZORETIZES -
FERPEPNSHREMER DV £T, VA [T B82HIET 20 X5 BEBIE. —BLiilE T
NTA TRy NEKRE LTUEINE T, 512, KUY VEARBIRBEROSEN FHITIIGAITH S &
WELXT, TORD, —fUEHEFTLVEGHLTRY Y VA2 FRRIGESG I E5121F, Y- 24E
FHHOXE 2HEHATAIRBERH D £T,

NBYE ROV VEROES
1. Demos 7 # )X —® ships.sav %48 L/R$ Statistics 7 7 1V AT/ — RZEML £,

.

e eny \ndard Paoiszan

s

Megative Binomial

311. BEREZDHTE2Y TV - A hY =4

2. V=R /=KD [74NV&—] XTT., [months_service] 74—V KERNILET, ZOEHDOX
WA WAE L, log_months_service \Z& N, ST HHINET,

2. McCullagh, P., and J. A. Nelder. 1989. Generalized Linear Models, 2nd ed. London: Chapman & Hall
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(o ships.sav

[P ]

Fields: 6in, 1 fitered, O renamed, 5 out

[ Field | Fitter | Field
type — type

construction —_— construction
operation —_— operation
maorths_service > ‘marths_service
log_months_service —_— log_months_service
damage_inciderts —_— damage_incidents

@ view current fields

@ Wiew unuszed field zeftings

Lok ) (coont

312. RER T4 —IVRDT 4 NVEY VT

(BB, BINTBR0VIZ, (X147 RTTIDT7 14—V RKOKEZ 2L ITEET L, £
FTMER ) — R TCHHTE 74—V R2BRTZIETEET, )

3. V=R /)—=FR0D IRAT| XTI T, damage_incidents 7 « —)V R DO&LENZ [M5H] 2&EL £,
ZDMD 7 4 =)V ROFENZ, $_T TAI] ITRELET,
4. MEDHARAA] 227V L, T—REA VARV ZELET,
&

(. ships.sav

| Pl | Messwement | Velues | Mssing | Cheok |

Fale |
{}type &)Nominal | 12345 | Mone _\ Input
{3 construction 7 Ordinal B0,65,70,75| Mane ™ Input
{} operation {l Orddinal | BOFS | Mone \ Input
@ logy_marths... f Cortinuous [3.506862... Mare _@ Mare
{} camage_inc... y Continuous [0,58] Mone @ Target

@ iewy current fields

o [cancal

X 313. 7 4 —I)L ROBEDE

© wiew unused field settings

5. —bAREL ) —NEY—Z - J—=NIZERHLUES, il —RT T€E50V) 27%2 )y oL
7,
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6. log_months_service &7 7 v ML UTHERL 7,

todel name: © suto @ Custom  |Overdispersed Poiszon

Use partitioned data

Build madel for each split

@ Main etfects anly ©) Main effects and sl tuvo-weay interactions

Model type:
Offaet:
@ variable
Offget fighd:
© Fixed value
alue: 0o :

Base category for flag target:  |L&

Include intercept in model

o ) b ) om) Fjr=

X 314. EFI) - A7 a v DER

7. TIZFANR—N] XT%22Vw oL, TZFAN—F] 2FRLUT, TFAS— - EFIVERA T

arvEAMIILET,

W23 KDY VB E L ZARRER DN (—RGRIEE )
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Overdispersed Poisson
| [O[E =)

r’/:\

rTarget Field Distribution and Link Function
The distribution that vou choose determines which link functions are availakle.

Distribution: | Poiz=zon w | rParameters

Link function: |Log

Method and iterstion settings are not available if Distribution = Mormal and Link

Function = Identity.

rParameter Estimation
Methodk Heyharicl ol Maimum Fisher scoring iterations:

1[4

10

Seale parameter method: |Pearson Chi-square i |
@ Model-bazed estimator Robust estimator

Covariance matrix:

Singularity tolerance: 1E-012 ™

walue order for categorical inputs: azcending @ Descending © Use data order

[ O _] Lg_.ﬁun” Canczel.]

X 315. TX A= b « F 7 a vOER

8. [RT7TVY] ZIGEDOHMAE UTERNL, HE 2V v 7B U TOERLET,

9. [Pearson 11 2 | ZAT =)V  NTIRA—X—%WETH-ODHEL LU TGERLET, AUV
VIERTIEAT =V - NT A =X —Z@HFIE 1 IZEEL TWET A, McCullagh & Nelder (&

Pearson 71 2 TEHEZFHLU TIOEZDLOEHECHEB KOCEEKEZREL 7,

10.  TREE) 270 A 7TV —HE UGERLES, Zhldk, ZNZTNORTOE 1 A7 TV =0
ZWRHT ) =B B VWS ERLUET, EFLTOIOREROEIZ, /T X —X—HEMED
fRFIZRNE T,

11. (547 22V 92 UTCTETIV - F7y b2ERLUET, ZHIEA Y —LHES L O4HEMOET
V- XLy MTEMENET, ETNVOFMERRT I, Sy behA2Vv oL, THRE] %

7zid T3 ZBIRU T, TR X 72 @RU 7,
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5 E A

“alue df walueldf
Deviance 38695 25 1.5458
Scaled Deviance 22883 25
Pearson Chi-Square 42275 25 1691
Scaled Pearson Chi-Square 25000 25
Log Likelihood 2 -58.281
Akaike's Information
Critetion (AIC) 14,562
Finite Sample Corrected AIC
(aIce) 162062
Bayesian Information
Criterion (BIC) 168.299
Consistert 8IC (CAIC) 177299

Dependent Yarisble: Mumber of damage incidents

Model (Intercept), type, construction, operation, offset = log_months_

service

A. The full log likelihood function iz dizplayed and used in

computing information criteria.

b Information criteria are in small-is-better form.

316. WL EMRE

WEEHEI T — 73, BEET VAT 2DIE L2 EA2RLTWET, 612, @is X
Pearson 771 2 FEHEHD H/EHE 1. NIGTAAT—I - NS A —X—DHEMEZRLTWVWET, Zh
SOfEIX, BTV VEIRIZF LU TIEIE 1.0 2513 T3, ZN50fED 1.0 2 LRS 2, #WOMET IV
DEEIIZYTHD VWS 2izmh £,

FLZNZABE

Likelihood Ratio
Chi-Sejuare df

Sigy.

107 B33

g

000

Dependent Yariable: Mumber of damage incidents
Model: (Irtercept), type, construction, operstion, offset = log_

marnths_service

a. Compares the fitted model against the intercept-only macel.

317. F LN AKE

ALZNZREZ, BIFETUR Null €70V (ZO5EIFUR) ORELR 1 2 FBHRETT, 0.05 K
DEZMRMEIZ, BAEOET LN Null ETLEVEEBNTWSZ 2 RULET,

%23 =m RV VEFEMERL -

HRAA

BUIRO R (LT V)
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ETFILRDIRE

Type ll
izl
Source Chi-Sguare df Sig.
(Irtercept) 2138 657 1 .0oa
type 15.415 4 004
construction 17.242 3 .0
operstion £.243 1 1z

Dependent Wariable: Mumber of damage incidents
Maodel: (Intercept), type, construction, operation, offset =
log_months_service

X 318. EFIEIHEOME

ETLVDEHTH LW IROEMIBESINE T, AR
£9, TNTNDOEREIETNVIZHFELET,

RAEH 0.05 KiGOIITIE, PRI ER D D

INTA—4 —HEE

5% Wald
Confidence
Irterval Hypothesis Test
Std. Wizl

Parameter =] Etrar Losver Upper Chi-Sguare of =ig.
(Irtercept) -6.406 2825 | -B.9E0 -5.852 513238 1 000
[type=5] 326 3067 -.276 [27 1427 1 it
[type=4] - 076 3779 -817 EES 040 1 a4
[type=3] - Ba7 4279 -1.526 51 2581 1 08
[type=2] -543 2309 -.995 -0 5536 1 ma
[type=1] 0@ : ; ; y : P
[construction=73] 453 3032 =141 1.048 2236 1 A35
[construction=70] k=L 2205 386 1.251 13743 1 000
[comstruction=65] /a7 1946 316 1079 128335 1 ooo
[construction=60] i . . . . . .
[operation=75] 354 5835 083 ESE 5249 1 mz2
[operation=60] ig
(Scale) 1.6mb

Dependent “ariable: Mumber of damage incidents
Maodel: (Intercept), type, construction, aperation, offset = log_months _service

a. Set to zero because this parameter is redundant.

h. Computed bazed on the Pearson chi-sguare.
319. /X T A — X —HfEEfH

NIA=R—MEET— 7N, EFHMEORIEZEN LD T, VY I7EBORED-DIZZDET
VT OBRBOMBIRIIRETT A, HEBDOREOTFEE L CHF L NIVOBBOMHEMMEIZ X D, EFIVICE
35 FHEDRIZH U CEHERARZEL 2N TEET,

s HEBDOLA. [E () OFREIL, FHIZHEERVE ) OBRICHZ2ZILE2RUET, EORKT
KEEOMEMEMT 52, BEFRREEML T,

o KFDEGE., IO RELRBHEORTFL A, IO EWVEERELREZRLUET, KL RLOBREOR
S, 2IBAT7 T I TERFLVRVDOIRIZ L > TRED 5,

INTGA—R—HEMEIZEDINT, ROLSITIRTE £,
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o MMIZ A T B [type=2] &, ZRAT TV =D XA T A [type=1] & b HLHFEFNTHER (p 16 0.019)
RN EGR (HEERE -0543) TY, XA 7 C [type=3] 1FEBEIE B LD /NI WHEENT A — X —
T, C DHEEMEDIXS DEFMREMIESIEET, WL ALHEDH 5D BERIZOVWTIE, #EE
A2 SR TLZT W,

o 1965 M5 1969 4 [construction=65] B LT 1970 A S 1974 4 [construction=70] 1ZFE5E X 7= it
g, AT TV —D 1960 £D S 1964 4 [construction=60] (ZVESNT=H D L D FEHNIZE B2
(0 1 <0.001) EWEMSE HEEEBIZTNEN 0697 BET 0818) TF. HELALEDH DS
BAfRIZDWTIE, #EERILFEEZ SR T 7ZE W,

« 1975 5 1979 4 [operation=75] \ZIEH T NMMANIE. 1960 25 1974 4F [operation=60] \ZEFH
INEO LD, FEHIZERR (p 1 0.012) @WEGR (HEER 0.384) T,

RKEETILDESE

DESE A7 Y vElwo 1 DOMEIX, HEED] R7 Y VRIS U TENEBRET 5 IEXR AED
BWEWSZETY, 270, BOERH N E S 2T 2 720IlREI NI 1 DOERBRE IR,
ZOMTRTORUFREIZONWT MEHED | KUY VEGE AD 2 HEROMTRERRE2FEITT 5L
WIHDTY, K7V VEITEZBA R WG A, MEHME 2x(R7 YV v - ETILVORNELE - AD 2 1H
ETIVONAIE) &, Ko IFHERERE 0 ORASM, FEOIXAHE 1 OA4 2 BH/ADVDH DHEN D
hEJ,

1. TEEME] ZAT =) - NIRA=R—%2WETEHELLUGERLET, T 740V TR 2O

1 T9,
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ww Expert W s

mode: © Simple @ Expert

~Target Field Distribution and Link Function

The distribution that vou choose determines which link functions are availakle.
- | Parameters

Distribution: | Megative binomial

Parameter for negative binomial:

@ specify value value: E
© Estimate
Parameter for Tweedie: 1588

.
Link function; |Lag .'J Poyver: 00
Method and iterstion settings are not available if Distribution = Mormal and Link
Function = Identity.
~Parameter Estimation
. = . N S
Method: Hyharicd =l Maximum Fisher scoring terations: 1=
; = =]
Seale parameter method: |Fieed value Wallg: 10

@ Model-bazed estimator () Robust estimatar

Singularity tolerance: 1E-007 ™ |

Covariance matrix:

walue order for categorical inputs: @ azcending @ Descending © Use data order

Lo J (B [ cancal

320, TZX2ANR—}F] &7

2. AOD 2 HAEFIZEGZIERI121E, — Bl ) — R2a¥— LTl FHIF L. V—RA - ) — RizEk
U, il —RZ2BWT T 23— 27220V oLET,
3. [B&® 2 HNM] 20ML U GERLVLET, MBINTIA—LX—2T 74V MED 1 OFFIZLE

ER
4, AN —LBFEFUTHULIERINEZETIV - F7y v T8 X 72 2BUET,

N
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5 E R

][]
—+

Walue df Y alueldt
Deviance 38.695 25 1.548
Scaled Deviance 38685 25
Pearson Chi-Souare 42275 25 1691
Scaled Pearson Chi-Sgusre 42275 25
Log Likelihiood3 -G5.281
Akaike's Information
Criterion (&1C) Tataee
Finite Sample Corrected AIC
(AI00) 162,062
Bayesian Information
Critetion (BIC) 168239
Consistent &IC (CAIC) 177.299

Dependent *ariable: Mumber of damage incidents
Model: (Intercept), type, construction, operation, offzet = log_moanths_
SErvice

a. The full log likelihood function is displayed and used in
computing information criteria.

b. Infarmation criteria are in small-is-hetter form.
X 321. fEHER T Y V(a0 E B G

FEHER T ) U ERIZERE SN DN LE X 68281 T3, ZHZAD 2 HETFIN LKL ET,

Yalle df “alueldt
Deviance 11.145 23 446
Sealed Deviance 11.145 23
Pearson Chi-Square 8.815 25 3583
Scaled Pearson Chi-Sguare 8.8315 25
Log Likelihood3 -33.725
Akaike's Information
Criterion (A1C) a2t o
Finite Sample Corrected AIC
(81CT) 192950
Bayesian Information
Criterion (BIC) 199157
Consistent &G (CAIC) 208187

Dependent Yariable: Mumber of damage incidents
Model (Intercept), type, construction, operation, offset = log_morths_
service

A. The full log likelihood function is displayved and used in
computing information criteria.

b. Infarmation critetia are in small-is-better form.

X 322. & 2 HEFOMEERE

HO 2 HERIZHRE S NS NEAEIX -83.725 T, ZHEFEERRIFRTY VERIZE T 5WBILE XD
INE L, (RERTANMIBEDD FEA) ZOAD 2 HEFIKRT Y VEFIZHERTHES NN L %
ARUTVWET,

722U, AD 2 EAMOHBNT A =X =2 LT 1 OfEEBEIRT 2858, ZOF—X - £y Mk
TRBEWGEDV DD £T, HOHETESHET AT 2T, MBI ST A—2—» 0 THIAD 2 HE
TVZHEEIET, . [ZFZ=F] 270 THJJ] X4 702 T LaGrange REMFEZZRL £,
BENERETRVWEA, BABIEIOT—X - £y M THBEICIZRD $EA.
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Z4

— LRI E T L AL T, BT — X2 3 MEOET LV AEAIEE L, A 2 HERX., KuY
VHNFL D EENT VWA DITTIERWE WS Z DAL E L2, BAHME T Y VEFIEERTY v - %
FINDZYERBEERLUTWVWEEITTN, E552BINT 22T 2200ERRKREEID D FH
/\/O

IBM SPSS Modeler Tf#f X% € FNAER T IEDO B R FE DX, [IBM SPSS Modeler 7 )V 3
DAL - HA K] 2BRBLTLEXN,

BEE i =
— R BIE T L FEHE SR, SEIERETIVICHEESTIRIRY —ILTT,
o —fRbHEE HEATHRE EIX. B E T LR IEE L CTRERIEEZ TREIZL X T,

o WMENRAGETNFEESAEMHLT, SV &L IVvR—3 Y MNERIIKENE. F-320MAF%2ED
AT = VREEBIIET V2 HEEI LI NTEET,

HREHE
— ALK FOLDFERNZ OV TIE, IRDTF AR EZZIBLTL X,

Cameron, A. C,, and P. K. Trivedi. 1998. Regression Analysis of Count Data. Cambridge: Cambridge
University Press. Dobson, A. J. 2002. An Introduction to Generalized Linear Models, 2 ed. Boca Raton,
FL: Chapman & Hall/CRC. Hardin, J. W., and J. M. Hilbe. 2003. Generalized Linear Models and
Extension. Station, TX: Stata Press. McCullagh, P., and ]. A. Nelder. 1989. Generalized Linear Models,
2nd ed. London: Chapman & Hall.

280 IBM SPSS Modeler 18.1.1 7 XU r—Ya v HA R



F 24 E HHERREFRAOH VYO IROES (—RILIEEE
TI)

— AL E TV, EQRF DT — X Z2 0T 25510 < HEEz#EGIELDICHHATE XY, il

. MBI ERRBIOANT ST —% - £y ME. HEHOBHEFHRIZBEFKLET, ¥V v oBEH%E

i U TRIBAB DS % FHIEOHRIL DM A GO ICEEN T, Ay~ afizmd & 5 I ARG K

HEET LT DI N TEET, FINARFEREZEE T 5720 HT 2 L8 23 REEHAT 57
2. FEKRE R A - VT DEAL UTHRELET,

ZOHITIE car-insurance_genlinstr £\N5 A NV — L&A U, car_insurance_claims.sav £\N5 T —& - 7
TANVESBUET, T—X - 77 A& Demos 7 ANVX—1ZHO, ANV —L - 77 AV streams ¥
TIANK—=IZHY £,

A2 NY—LDYER
1.  Demos 7 *IVZ—®D car_insurance_claims.sav % #§ L/R9 Statistics 7 7 1 WV AJ/ — K&EEML X
9,

8 — @&

car_insurancelaims.. laimamt
&
.

claimamt Tahle

X 323. BEIHEEMRETEREZ FHITEY TV - A MY =4

2. V=R /)—FKD [F—=x#8)| 277, Ilcdaimamt] 74—V RKDZEEZ TWHR) 2ZELET, T
DD 7 4 =V RDZENL, TT TAH] IZHRELET,
3. MHDFEARAA] 227V, T—XEAVAX VAL LET,

3. McCullagh, P., and J. A. Nelder. 1989. Generalized Linear Models, 2nd ed. London: Chapman & Hall.
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) car_insurance_claims.sav

i__ Field — [ Messurement | Walues | Missing | chesk | FRole |
{3 holderage o Orelireal 12345, Morie ™ Input

{} wehiclegraup ﬁ Mavinsl | 1234 | Mane _\ ImpLt

_{} wehicleage {l Croliral | 1234 | Mone _\ Input

{} clzithatmt ﬁ Continuous o [gs0 Mane @ Target

_{} nclaims f Continuous | [0434] Mone _@ Mone

@ view current fields  © View unused field zeftings

Lok ) (cooat

X 324. 7 4 —)V ROBEDBE

4. Genlin /—K&2Y—Z -/ —RiIZEHLZT, Genlin / — KT,
7,

5. Tnclaims] Z A —)VEAT 4 — L RELUTERL £,

(74— FK] RTZ2)vw oL
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@ Use type node zettingz ©) Use custam zeftings

Target: |

Irpts:

Partition:

Splits:

ettt @mlams A

Target field represents number of events occurting in & set of trisls

@ variakle
Trizlz figld: l
@ Fixed valus
Mumber of trials: | 10%

325. 74 —=)VK - AT a rDiER

6. [ZFAN—=h| XTIV w L,
YavEEMIZILET,

[TF 2= b ZERNLUT, TF A= - T NVESL T

24 B HEHEAERGHERADA VT EFOMEE (—RILELE T L)

283



claimamt .

L

: | [ ;
lﬁﬁﬁﬂL%ﬁiJEme”Lﬁ?ﬂ;smmmgﬂggﬂ
Mocle: Simple @ Expert

Target Field Distribution and Link Function 1

The distribution that vou choose determines which link functions are availakle.

Distribution: | Gamma + | rParameters

-
L1 1088
1.5
Link function: |Power = Pavver: n
|
Method and iterstion settings are not available if Distribution = Mormal and Link
Function = Identity.
rParameter Estimation 1
2 (<]
Methodk Hyharicl o Maimum Fisher scoring iterations:
Scale parameter method: |Pearson Chi-square hd | 10/e
Covariance matrix @ Model-bazed estimator Robust estimator

Singularity tolerance: 1E-007 ™

“alue order for categorical inputs: Azcending Descending Uze data order

[ Ol ]Lb Run” Cancal]

326. I:—”\’X/{—- ]\ . j“j"?‘/a \/0)5‘%1{)—(‘

7. THV~] ZI0ERAHE UTERLET,

8. IREHE 2V BB E UTERL, T-1.0] 2REEEBOEBHELTAILEDT, ZHidwY
v TT,

9. [Pearson 11 2 | ZAT =)  NRTIRA—RX—%HWETEH-OOHELLTGERLET, ik
McCullagh & Nelder IZ &> CTHHI NS /ED2D, T I TEHMREEHT 272D 2NV E

10. [B&lE] 2K+ AF IV —HE UGERLES, ZHhid. ZNTNORFDE 1 DT T =
ZAT ) —IZRBEVWI I ERLET, EFALTOIDOEROMEIZ, NF A —&X—HEHED
Iz zNE T,

11. T%Ef7] 22V0)v 20U, TNV - F7y b2ERLET, ZHREAN) =L EE X OAEEOET
V- XLy MTEIMENET, TTILOFHMERRT R, TV - Fry v2620 v 7L,
Ml 72132 M) 2EIRUT, T3 2 728RLET,

el

284 IBM SPSS Modeler 18.1.1 77U/ r—Y 3> HA K



925 Wil
Confidence Interval Hypothesis Test
St Wizl

Parameter B Error Lowver Upper Chi-Square df Sig.

(Intercept) 03411 000415 002591 004230 B5.593 1 oo
[holderage=5] 000920 | 000416 | 000105 | 001735 4895 1 o7
[holderage=7] Ooos16 | 000408 | 000117 | 0076 5.046 1 nzs
[holderage=6] Ooosss | 000405 | 000176 | .00MTES 5.740 1 m7
[holderage=5] 001370 | 000419 | 000545 | 002182 100682 1 iy
[holderage=4] non4e2 000411 | -.000342 001267 1.265 1 260
[holderage=3] 000350 | 000412 | -.000453 | 001158 720 1 396
[holderage=2] 000101 000436 |-.000754 | 000956 054 1 B1E
[holderage=1] o000 . : . 5 3
[vehiclegroup=4] | - 001424 000181 | -001775 | -.001087 B1.8583 1 oo
[vehiclegroup=3] | -000614 | 000170 (-000947 |-000281 13.039 1 1000
[vehiclegroup=2] 000038 | 000169 | -000233 | 000363 050 1 823
[vehiclegroup=1] | 0000003 3 ; ; & . .
[vehicleage=4] 004154 | 000442 | 003287 | 005021 83175 1 oo
[vehicleage=3] 00 et 000227 | 001207 | 002096 53013 1 oo
[vehicleage=2] 000366 .0oo1m 000169 o064 1319 1 oo
[vehicleage=1] 0000003 : ; ; 2 : :
(Scale) 12090 om 0004 | 000 ooz

Dependent % ariable: Average cost of claims
Model: (Intercept), holderage, vehiclegroup, vehicleage

A. Set to zero because this parameter is redundant.

h. Computed bazed on the Pearson chi-sgusre.
B 327. 85 A— X —HfEEfH

FLZNZED K CETIVRBRE FERR) &, ZTOETAD Null ET VLD EENTHT, T
NOEROENETIVIIHFETEHL VI ZEERLTVET, NTA—X—DHEEMDKIZ, McCullagh
Y Nelder ERFLARLEBELEUVAT—IL - RTRA—X—THELEZRUCEZRLULTWET,

21

— AR E T ZHH LT, AUz ERT —RIEE S E Lz, TOETIVTIRY V046D
W) U IBEBEMHLE LD, /) v oY REREEONE T, MRIT, IEIFRY VB
EROET N EBHEILKT20IXNETT, 72720, WY V213N 0 ORERY »F ORIk T —
ATHD720, ) VI 2ROETIVELOREE) VI 2FDOETIVORMEZLIRLTE S 65K D
ALTWwWahzHlcEEd,

IBM SPSS Modeler T X2 € T NAERTIEDE A M OIAF L. [IBM SPSS Modeler 73
DAL - HA4 K] 2B2LUTLEIN,

BEFHmE
— LB E T TSR, S EIERETIVITHEETEIRNILRY —LVTT,
o —f b TR E IR, M ES LV EHE L CRENEZTREIZLET,

o MANEASETIVEEEZAMALT, SV &L - IVvE—32Y M ERIIKENE. £-I3F0MM %2R
AT —VREEEBICET V2 EEIRE 2 enTcE T,

HRENE
— ALK TV DFEMNIZ DO WTIE, IROTF AP EZSZHLTLZI W,
55 24 = HBHEERGIRADS VI EROES (—HLEEEFL) 285



Cameron, A. C., and P. K. Trivedi. 1998. Regression Analysis of Count Data. Cambridge: Cambridge
University Press. Dobson, A. J. 2002. An Introduction to Generalized Linear Models, 2 ed. Boca Raton,
FL: Chapman & Hall/CRC. Hardin, J. W., and J. M. Hilbe. 2003. Generalized Linear Models and
Extension. Station, TX: Stata Press. McCullagh, P., and ]. A. Nelder. 1989. Generalized Linear Models,
2nd ed. London: Chapman & Hall.
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3 25 = MY Y TILDODEE (SVM)

Support Vector Machine (SVM) I$/AHIZR T — & - v MIFHZE L 72088 K ORIROHM T, L
BT—R -2y bERBEHROTRAMENEGENLT—X - LY bDIETHY, NAFAVTAXT AT A
(EALZEB K CEYZET — ZANOWEREAOBEA) ONBFIZBIT5T7—% - £y R YETYT,

HBEFZNEEN., HURIEDEREDRH D L E 2 SNLEENSEIL-% < Ok MY > 7L ok
EELT—X -y bEABLTWEELET, TOT—XOOH TR, BYELEEOY Y FILOMT, %
BORMEVPAERICRREZ D010 £ U, H5EE X, MoBERSEILZY v LTI s Mok
MOMEZEMHAL T, Y IR ZIXENELZ2BIICRETESL L 51295 SVM ETIVERFL &
5 LTWVWET,

Z DOHI T, Demos 7 A NK—D streams Y77 ANVKX—NIZH D som_cancerstr £\VD ANV — L Z{H
HUET, T—& - 77 A4NVI& cell_samples.data TT o FEMIZDWTIE, |5 A=Y D Demos 7 # L X|
Filgzmuczaw,

Hlld UCI <Y VBV RY M) —TARINTWVWAEAT—X -y MIEIDVWTWET, ZTOTFT—X - kv
MIfAEEOE MY 7L - La—RTHEINTEY., ZNFRIC—EHOMEEEOMEAE TN T
¥4, KLIA—RD 74—V RIFRDODEEHTT,

T4 =V Gl

ID BHED 1D

Clump 75V TDIEH
UnifSize DR E E DYg—1
UnifShape Mok o Yg—
MargAdh TR OEENE
SingEpiSize B—@ LMD RE X
BareNuc B

BlandChrom TIVR-uxFY
NormNucl HHE DRIME

Mit R4

Class B & 72 1

ZOHITIE, &L a— FOFRMED D2 NT =& - 2y FE2HHLU £,

© Copyright IBM Corp. 1994, 2017
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AN —LDVERK

o:%?o
/class-rbf
-D> o =
—_ B ~.§\o
cell_samples.data Tie "' clats-poaly
+
£

w8

——— claga-rhf clasg-paly Analysis
== ; 1
Tahle _— ——
EEEE BEEE
Table Table

X 328. SVM T MERZERTY VTN - A Y —A

1. FWHA MY —L%ZFEFK L. IBM SPSS Modeler 1 > A s —)VERIED Demos 7 # VKX —IlH D
cell_samples.data % $q U/RTAIERE T 7 ANV AT/ — R&BIMUET,

V=R + T7ANDTF—RERTAHAEL & D,
2. F—T)N /) —FKREZAMNU—AIZEMLUET,
F—TN ) —REABET7AN - J—FIZEHRL, A MY —L%2FEFLET,
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[ Table (11 fields, 699 records)

lad File

= it

f} Generate

Table

ifSize | UnitShape | Margsdh | singEpisize | Barenuc | Blandchrom | mormiue it | ciass |

L ot B L B S P R e

o

o
]

B
5

B
(8]

-
o

s
s

—
h

I
o

-
=

T
oo

i
i)

k2
o

1

e e ey g R = e ) ey ey ey ey [ pecy pecy e i) g

=

1 2
& 7
1 2
1 3
3 2
g 7
1 2
1 2
1 2
1 2
1 1
1 2
3 2
1 2
10 7
4 g
1 2
1 2
& 4
1 2

1
10
2
4
1
10
10

g ey ey g e R AR N R R T R T

3

L T S I L B SV I i ST R oS T L R ¥ T I T P R R |

g oy e o TR I e g e ey e e [ e [ ey N ey

Sl =R R R[S = == == ===

2

[ o o I e R e L I I SSTRE o0 R o6 Tl (R S S i b I SRR SR N ]

.

(4]

El

I

329. SVM DV —Z - T—X&

ID 74—V RIZiE, BED ID HEENTWEY, KEED» S OMIEY >~ TV OREIX. Clump
5 Mit D74 —)IVRIZEENTWET, fHIX 1 25 10 TTERHL IS THY, 1 BRMEIZ—
T\ WNMETY,

Class 7 4 =)V NIZiE, > FUDEME (1 = 2) £/-EEME (18 = 4) THE2IZET S, HOEKE

WETHR S NBHREIN TV,

25 B MY Y SO (SVM)
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Clear Yalues Clear Al Yalues

Field Measurement Values Mis=ing Check Role
S LIHNSIEE £ LUHLnNduuE L,y [ ETh =] L IFJU[ 7
{3 UnifShape ¢ Continuous [0 Mone “w Input
rMarghoh ¢ Continuous [.10] Mone M Input
¥ SingEnisize ¢ Continuous [1,10] Mane M Input
@ EBarehuc & Mominal IO Mone N Iruponst
{:} ElandChrom f Cortinuous [1,10] Mone \ It
{} Mormiduct ﬁ Continuous [1,10] Mone N Iruponst
{3 it & Continuous [1,10] Mone M Input
{} Class 8 Flag 42 Mone @ Target  |=
@ Viewy currert fields @ Wiew unuzed field settings

330. T— &) — NDFE

4.

10.

290

— &M —RNZEML, TheAZR7 74V J—FAEfHRL X,
TR —FERE X,

Class DfE (0% b, B (=2) £72I3EM (=4) 2 FHIT2ETADRBETT, ZO7 1 —)LFIZiX
2 DOUDPRWEED 1 DAL 7H, WEDODREZZEL TINE KT 2HENH D £,
Class 74—V R (VAMDERED 71— R) ® [RE| ¥lT, @ DEGR) 220y 20T 17
ORI CEELET,

MEDFAAA] 220w 7 ULET,

M&E(] ¥1C, ID (BFED ID) O&EEZ (720 (CHELET, ID BEFTILVOFHIEE LTHRH
ELUTHEMHHAINZR VNS TT,

WRD Class DFE % [HHR] ZEEL, TOMDTRTDT 1 =)V R (FiHlllH) O&E % [A)
DEFIZLTHEEET,

[OK| 22V v 27 L%T,

SVM / — R, ZOMMHA2ETTE-0DH — 3 VEBOER 2L 3, BHEDTF—&% - v b
TEDBEBDNT =<V ADVEHEZ D0 %M BB TERIZR WD, ERICE I RENE#
RUT, FER2HEBLUET, 774 ND RBF (A EERE) »ohdE T,

IBM SPSS Modeler 18.1.1 7 Vo —Ya vy HA K



s Expe | Az Avetalons
Mode! name: © auto @ Custom  |class-rhf

Use partitioned data

Build madel for each =plit

To =elect fields manually, choose "Use custom settingz" on the Fields tab

Partitiors. | ]vé |
Splits: . vl |
X

331. TEFIV] RTDHEE

1. TEFNVER] Sy b6, SVM J —F&2TFT—&Z8 — RITER L 97,
12. SVM /—R%[&E%d, [EFN] XRTT, [EFFNVH] O HAZRL] ATVaviks)y oL,

Mg 27 F AN - 714 =)V RIT classrbf E AFIL T,

Mo @ Simple @ Expert

D Append all probabilities (valid only for categorical targets)

Stopping criteria:

Regularization parameter () a

[
Regression precision (epsilon):

Kere tyoe: e T
REF gamma; g Bizz: a
1

Cramma; Degres: 3

332. T7ANED X ZA— ] RTDBE

13. TZFZANR—F]| RTT., AXITLLTBEHIZ [E—F] 2 TZF A= IZZ/ELETH, TR
TOF 74NN AT avidZ0EFIZUET, T7ANVMTIE =% X1 7| X [RBFJ IZ
BEINTVWEDTHEELTLEIW, fiBE—FTIR, IRTOA TV arBsL—77 rINT

WE

%25 = iy SroskE svM) 291



ECaIcuIate variable importance

rhdodel Evaluation

~Propensity Scores (valid only for flag targets)
Calculste ravw propensity scores
IE Calculste adjusted propensity scores

Bazed on Testing partition & validstion partition

X 333. [9#r) R 7OHE

14. [48) 27T, BBEEEZ2HE] Fov o - Ry 7 AZ2ERLUET,
15. [FEfF] 22Vv2ULFd, AMIV—=LN, TUTCTHELGLED [£F)1L] Sy MZETIL - F7 Y
N R R U S

16. APV —LHNDETIN - FTXY b E2RXTNVLIZVY I ULET,
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F—4 DIEE

class-rbf
& I L:i File © Generate s!iiew
W

Wig ¥ 2 Lo

Predictor Importance

Target: Class

T 2
BareMuc—] ! l

UnifShape| E
Clump ;
BIandChrom—:l i
NormNucI—:|
MargAdh—:I
M'rt—:l
UnifSize—jl
I
0

SingEpiSize—]

02 04 0.6 08 1.0
EIYEIEED [Bareu)
(

Least Important Most Important

Wiewy: |Predictor Importance ™

X 334. FHEEES T 7

£V 27T, PHIEEES 7 73 FHITOIEIERT 1 =L FOMMARREZRLTWET, ZhiC
£ 0. BareNuc WERFREF > TWBONR—HMFR T, £72 UnifShape B & Clump £ 72720 DRIR
NHdIENRPDET,

1. [OKJ #2Vv2ZU%T,
2. T—=7)N - ) —=N% class-rbf €TV - F7y MIERL T,
3. 7N /—RZERVT, [EfF] 227Vvy 27L&,

%25 = Ay SLosE (SVM) 293



Table {13 fields, 699 records)

o File 4 Edt £ Generats

FE———
Tahle _._ ninot:
EpiSize |Barehiuc |El|andChrom |NormNucI |ru1it |Class |$S-Class $EP-Clazs |

1 1 3 1 1k 0992 ﬂ
2 10 3 2 12 4 0599

3 2 3 1 1 2 2 09594

4 4 3 i 12 4 0915

5 1 3 1 1 2 2 0992

5 10 9 i 14 4 0999

7 10 3 1 1 2 2 0507

5 1 3 1 12 2 0997

3 1 1 1 5 2 2 0847

10 1 2 1 12 2 0995

11 1 3 1 1 2 2 0599

12 1 2 1 12 2 0999

s 3 4 4 1 4 2 0514

14 3 3 1 12 2 0989

15 3 5 5 4 4 4 099

15 1 4 3 1 4 4 0591

17 1 2 1 1 2 2 0897

13 1 3 1 1 2 2 0995

13 10 4 1 2 4 4 0995

20 1 3 1 R 2 0986 =]

[« ————————————————————— " |

X 335. FHMES L OMEEOMHEIZENT 57 4 =LK

4, BEFILTIE, 2 D2DBM7 1 — )V REZEHELTVET, T—TINVHHZHEIZAZO0— )L U THERLTL

7ZEW,

B 74—V R%

Bl

$S-Class

EFNVIZL > TFHE N Class D,

$SP-Class

ZOFMOMEIATT (ZDFROEEIXE (true) T, fHIX 0.0 5 1.0 TT),

F—TNERBETT, La— ROKLOMIATT ($SP-Class FIH) RHAEHNZ EHBHID £F,

7272, BHERHIADI N OH b £3, Hlx X, 13 ITHDEE 1041801 DL 32— KT, 0514 £ \WH1{H
12T AN WIEEEL > TWET, £/, Class % $5-Class & g3 2 &, fHA 2 7 DS &
WIGAT (B2, 2 ITHE 4 7H) THZDEFIMICIEME S PN IAH D Z RS TT,

R A TE2BRAT, TNEWETEE20EZHKLTAEL LD,
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R H5BAMDHT

Ed class-poly
|
M todel H H w v
Model name; @ Ao @ Custarm  |class-paly

Use partitioned data

@ Euildd model for each split

To zelect fields manuslly, choose "Use custom settings" on the Fields tak

Partition: i ﬁ% |

Spiits: ! :I|

X 336. ETNVDOHLUWZRTOHRE

1)

1. 7=V HY 1+ RUERALET,

2. 2 ZBHD SVM ETIWAER/ — R&2 T — X)) — NIZER L £ 7,

3. ¥riLw SVM /— KR,

4. TETINV] ZTT, TAHAXL] 2L, ETNVHEUT dass-poly EATLET,

Mode: @ Simple @ Expert

|i| Append all probabilities (valid only for categorical targets)

Stopping criteria:

Regularization parameter ()

(]
[
Regression precision (epsilon):

Kernel type:

s
REF gamma; 0.1 Eias: | a H

Gamma: s Degree: | SH

X 337. 2THAD [ZF 28— ] X THRE

5. T=%2X—h] &7, [£F—F] %2 [ZF2AR—b] ZTBELET,

%25 = iYL LS (SVM) 295



6. [A—%) 247 % [ZHX] ZREL, 37 22V v 2 UEd, cass-poly €TV - F7 v b
A, ARV =AW, TUTHEALG ED TETIV] Ny MIERINET,

7. class-rbf €TV - F7 Y NE& class-poly BTV - Ty MIELET EHEXTus T [ER %
HEIRLUE9),

T—7)W ) =K% class-poly F7 v MIHEHRL £T,
TN ) —=REHWT, [FE7] 22y 2o L%ET,

SR D ELER

Table (15 fields, 699 records) M= <
lod File = Edt ) Gererate & qad T ?

. p—
Table | Annotetions

R —
armbiuct |Mit | Class |§5-Class | $5P-Class |$51-Class |35P1 Class |
73 i 2 7 0.992 2 0993 &
73 12 2 0,968 2 0.967
&0 12 2 0993 2 0.994
& 12 2 0,986 2 0991
a2 12 2 0.996 2 0.997
a3 12 2 0.991 2 0938
84 1k P 0.970 2 0995
85 ) 7 4 4 09932 4 1,000
86 ) 104 4 0974 4 1.000
a7 14 4 0786 4 0958
&a 3 4 |a 0.985 4 0935
ag 12 2 0935 2 0997
a0 12 | 0935 2 0931
g1 12 2 0939 2 0993
22 12 | 0935 2 0.996
g3 12 2 0935 2 0997
54 12 | 0939 2 0934
85 12 2 0993 2 0935
96 12 | 0939 2 0993 B
a7 12 2 0,999 2 0,995 hd
[« ——— " |

X 338. ZEABEBIZEBMENZT 2 —IL KR
1. =7V hEHRIZAZa—LLUT, FrLlBMEn~z7 11—V KERRLET,
LN X A SIERE N7 0 =V R, $S1-Class 8 & U $SP1-Class £\ D ZHi T,

ZIHADFERDIE 2 NITHEZE SN LSICRAET, HAZAITDELLH 0995 PLEiZh->TED, T
NIFIEEIZFELETT,
2. ETNVCOREEZMHERT D720, KES/ — % cass-poly ET IV - F7 v bAEHLET,

FEDH ) — F&WT, 157 22V v 7L,
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[ Analysis of [Class] M=%

lad File | Edt

o
Analysis !‘,Annoﬁationsl

£ Collapse AII] [99 Expand e,_n]

E-Rezults for output field Clazs
Bl Individual Models
E--Comparing F5-Class with Class
. [cCorrect B84 97.E5%
- Wrong 15 245%
Total £33
E--Comparing $51-Class with Class
. [Correct 693 100%
“{ Wrong 0 0%
Total £33
E- tgreement between $5-Class $51-Class
. [Agree B84  O7.85%
| Disagree 15 215%
. | Total B39
E--Comparing Agreement with Class
i [Correct 684 100%
- Wrong 0 0%
Total 554

X 339. ¥EiESH/ — K

WEEON ) — RE2HHLEZZOEMT, MUZA 7D 2 DB EDEFIL - F7y N2HEET2Z T
9, BESW ./ —F1ro0H T, RBF BT —AD 97.85% % EMEIZTHIL TWS Z &W0hD,
INBIEFICRIFTYT, 2720, ZohhT, ZHABEBREOH —~r —ATE3kiE EECTHILZZ &
Wm0 £9, EBIX 100% DREIZD > 7-IZEBH L EEAD, TOETADPRFEDEMIZN LU TERET
EDMEENE S D EHMT S LT, HESN /- REHHTE XY,

FEITIE, MO E DB X A 7H (Sigmoid H L OHREL), ZOREDT—X - v hTHIHAIZERIFIZ
WWHEREL £ ¥ A, 72720, BlOT—X - £y NTIEHMERVPEL WL +2H 0 £9, Lo T, HIZ
HoPEATY ayERTflifElZd D £T,

ZH

SVM 1 —x VEBOI I TE2MHL T, <O, AHETFHLELE, RS —3)L
DOPIZEACT =& -2y MU TSI XTI ERMEREZETN, ZLTET NI LOWELZ ED & S IZHIE
TE5h a0 E L7,

525 2= MY FVoNkE (SVM) 297
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—

T )b

5 26 = Cox O HALIBEIHENT 52X TORFEDE

YER%
HHBERLETIE, FEFHNEZES T72OOWMOMAD B LT, I ifitoyr—v iy B X 28
RIZHHET 2 ENEZRET S72012, T2 FTOM OETMMESIZIEHELTVWET, 207D
W2, BEDT VR L BT U TWERI N, R UCOMM, BUET 771 TRBEZR P E S, B&
VCZDMDOIFIERT 4 — IV RBT—AR=ZANSIOHINET,

ZDFITIE, telco_coxreg.str £\ A MY —LEMALE T, TN telcosav EWDIT—X - T 7 A%
ZHUET, T—& - 7714)F Demos 7 ANKX—iZHO, AP =L 7 71)IE streams 377 x )
A—ZH v £T, FMOVTIE, [5 XR=YD Demos 7 AN E—J [#BHLTL I W,

BT IV DREE
Demos 7 ANV X —D telco.sav =8 LR Statistics 77 TV AN/ —RKZ2EIMLU T,

1.

% _
-:'Z':

chyrm s
i b Ac—churn—ﬂ

3 _j__-——-"" 3 __)’M
.Eﬁ “m.%) e

T 1
o M Evaluation
telcg savy ) )
Sort Tahle
= A - . \
f cox ¥ r \ — E=mm —>
} Pregiction 3) —- b) ) I«t—‘TL [ i —F_ =
L
L
: LowerEstimaVAppend Manths Transpose Laials Estimatad Murmnbers
1
0 B \ 1
¥ Y — 40
. Mulls Stay LIpper Estimate . ;
Unknawn % Unpredicted Cases
n 4
Scoring e X =R
> (3 @ —» ) — B
Select _churn Sort Field Rearder Tahle
B 340. R E COHIMZ IS B72bDY > T - A MY =24
lregion] . Tincomel . Tlongten] %5 Twireten] % T,

2. V=R /=KD [T )V&R—] RTT,
B L loglong] 75 Tlogwire] £TDT7 4 —)V RERAL T,

299
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() telco.sav ﬁ

1] m]

Fields: 42 in, 12 fittered, O renarmed, 30 out

[ Field - | Field |
region | > region - “
tenure | —_— tenure i
age I o [Age

ik tal | —_— marital

address | —_— address

income | . income

e | e e

employ | —_— employ

redire | I retire

gender R \yender |

@ view current fields  ©) View unused field zeftings

Lok ) (coont

341, RRBER T4 —NVRDT 4 NR) VT

(HDWIE, BT 2RbYIZ, [F=X8| XT7TIN6DT7 14—V NO®KEE [2L] LEHET S
P ETIVER S — RCHEHTEZ7 s — LV R2ERTEIETEET, )

3. V=2 :-J—=—F®D [F=28)| 27T, lchurn] 74— RKD&EZ [WH] 2R EL. TOHIED
RE2 (7571 2HELET, FOMBDOT « —L ROEENZ, TRRT TAH] 2B ELET,
4. MEOFEAAA] 22 Vw oL, T—REAVAZR VAL LET,

J telco.sav

| Field | Measwement | Vaues | Mssng | Check | FRole
{} pagér &3 Nomir!al - | a1 . Mone . \ Inp-ut. .-
{} internet :& Mominal A Mane \ Iruporst

{3 eallid @ Mominal | o More “w Input

{} callvait Z&_‘; Maminsl | aa Mane \ Irupoust

{} forward j&) Marrinsl | a1 Mone \ It

{} confer Z&J Maminsl | aa Mane \ It

L3 el @) Mominal | o More “w Input

& Ininc & Cortinuous [[219722... Mane It

{} cuztcat a; Marminal | 1234 Maone .\ Irpst

{} churn 8 Flag 10 Fone @ Target =

@ view currert fields (@ view unuzed field settings

ok [cancal

X 342. 7 4 —I)V ROBE|DBE
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5. Cox /—RK&Y—A /) —=RIZEHRLET, 74—V K] 27T, EERFEEEE LT ltenurel
BERLUET,

Survival time: (£

@ Lz type node seftings @ Usze custom settings
e | £
Inputs: [j
x
Partition: [j§|
Splts: ]j|
X

X 343. 74—V K - X7 3 vOER

6. [EFN] BTV I ULET,
7. BEOBINAEE LT, ATy TUA0 R3] 28RLUET,

% 26 ¥ Cox [Hi% i L -BEWMRNT 3 X comMoe T LR 301



tadel name: @ 2ute © Custom

U=se partitioned data

Biuilid macel for each spit

Methac: WH

Model type: @ Main etfects © Custom

focel terms:

X

344. FEFI)N - AT 3 v DER

8 [ITx2X =N 272 2Vw s L, TZF2—F] 2BBINLT, TF2AS—b - EFUERA T
avEAEMILET,
9. [HHhl 22Vv I LFET,

Statistics
Display: @ At each step ©) At last step
Cl for expiB) a5 Correlation of estimates

Display baseline function

~Plots
Survival Hazard Log minus log One tins survival

Pt a sopareoine for ecchvae | |8

“alue to use for plots:

[ Field
& tenure
’ age
o) martal
& address
ed
ﬁ.emplﬂv_.
 reire

&b gender

Walue — |

345. B A A T 3 v DR

302 IBM SPSS Modeler 18.1.1 77U/ r—Y 3> HA K



10. fEET A 7oy b LT TEGFEES & I — B 28KL., TOK] 22Vvy 2 LFET,

11. (547 22V9 2 ULTCETIV - F7y b2EKLET, ZHiE, AN —=L0&, HED TEF)]
NLUw MZBIENET, FHEAERTBEIZIE. ANV —L2DF XY  2X TV 2) v 2 LET., &=

. TREM ) X T2MERL 9,

IBY 45—

I Percent

Cases available in Evant? 274 27.4%
analysis Censared 7726 72 6%

Tatal 1000 100.0%
Cases dropped Cases with missing

values 0 0%

Cases with negative

time o 0%

Censared cases hefore

the earliest event in & i] 0%

stratum

Total 0 0%
Total 1000 100.0%

a. Dependent Variahle: Months with service

X 346. JLERL 72 r — A DEEH

REEEIT, WHRDT —AZARY MDBFRELEDEIDEZHBILET, 1RV IR EL TWRWES,
r=AF fIstiIoh-] LES5bh T, HHBUL =213, HIRMBREOHBEIZIXERAINETEAN, XR—
AT4 v NP = ROFBEIZIFFHINE T, WEH LT — 20T/, 726 DT —A»TbonzZ &
ZRUTVWET, Ihold, MOULTOWARVWEETY,

% 26 ® Cox [E& A U BEPHNT 2 T coRMoE T LER 303



AFId)—ZEHOI— Kb

Frequency (b (7 (3 (4
marital® D=Unmarried 505 1
T=Married 495 ]
edd lzr?ultélnutcnmplete high 204 1 0 0 0
2=High school degree 287 i 1 i] 0
3=Some college 204 i] 1] 1 ]
4=College degree 234 0 0 0 1
gzgruesg-undergraduate B 0 a i i
retire® .00=Mo 953 1
1.00=Yes 47 ]
genderd O=hlale 483 1
1=Female 517 0
tollfreed O=ro 526 1
1="es 474 0
equip? 0=mn 614 1
1="es 386 ]
callcard? O=ro 32z 1
1=Yes 678 0
wirelessd | O=Mo 704 1
1=Yes 295 ]
multline? | O=Hko 525 1
1="es 475 ]
voiced D=Mo {age]] 1
1=Yes 304 ]
pager? D=Mo 738 1
1="es 261 ]
internet? D=Mo f32 1
1=Yes 368 ]
callid? D=Mo 514 1
1=Yes 481 ]
callwait? 0=Mo 515 1
1=Yes 485 ]
farward3 0=Mo 507 1
1=Yes 493 ]
confer? 0=Mo 498 1
1="es 502 ]
ehilld 0=Mo 529 1
1=Yes 371 ]
custeat? 1=Basic senice 266 1 0 i]
2=E-zemice 217 i 1 a
3=Plus service 281 1] 0 1
4=Total service 236 i] 0 1]
X 347. Z53V—£HD 31— N1k
AT TN 2O a— ik, 773 —HEZEORIFRE, KI5

ERITT, T7 ) Tl
BEIET—X - 77 AOVNOEEEIX 1 TTH, MIRCHEHAT S0 0 & a—NMbInEd,

304

LI RIS 5 72T

W

Z

B3 5Dz

W73V =X [RED] #7573V —TT, ULA->T, flziX. BE o
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Overall (scare) Chanie From Previous Step Chanie From Previous Block

-2Log

Likelihoo Chi- Chi- Chi-
Step d sguare df S sguare df Sin. sguare df Sig.
e 3392536 | 162.303 1 000 | 133.828 1 000 | 133.828 1 .0oo
2k 3087.314 | 249.392 2 .000 | 305.222 1 000 | 439.050 2 .000
37 3027.085 | 328.426 3 000 50229 1 000 | 499.279 3 000
44 29590.790 | 347187 4 .0oo 36.294 1 000 | 535.574 4 .0oo
L 2973.790 | 362673 5 .0oo 17.000 1 000 | 552.574 5 000
i 2958.796 | 376140 G .0oo 14.994 1 000 | 567.568 B 000
79 2945503 | 384.717 7 .0oo 13.293 1 000 | 580.861 7 .0oo
gh 2936.893 | #17.341 3 .0oo 8.510 1 004 | 588.371 B8 000
gl 2926.000 | 423.911 ] 000 10.994 1 001 | 600364 ] 000
10 2917551 | 428.078 10 .0oo 5.449 1 004 | 608813 10 .000
1% 2913.308 | 436.837 11 .0oo 4.243 1 033 | B13.056 11 000
12! 2908.073 | 440158 12 000 5.230 1 022 | B15.286 12 000

a. Yariahle(s) Entered at Step Mumber 1: callcard

h. Yariahle(s) Entered at Step Number 2: longmon

. Wariahle(s) Enterad at Step Mumber 3 equip

d. Wariable(s) Entered at Step Mumber 4 emplay

8. Wariable(s) Entered at Step Mumber 5 multline

f. Wariable{s) Entered at Step Mumber B: vaice

. Wariable(s) Entered at Step Mumber 7: addrass

h. Wariable(s) Entered at Step Mumber 8 equipman

i. ¥ariable{s) Entered at Step Mumber 3: ebill

J. Wariable{s) Entered at Step Mumber 10: callid

k. Wariahle(s) Entered at Step Mumhber 11: internet

|. ¥ariable{s) Entered at Step Number 12: reside

m. Beginning Block Mumber 0, initial Log Likelihood function: -2 Log likelihood: 3526364
n. Beginning Elock Mumber 1. Method = Forward Stepwise (Likelihood Ratia)

X 348. F L= NAKGE

ETFNMEE T 2L, BEEENMAT Y T4 XZFEOT7 VIV AL Z2FEHLET, ALZANAKREIX, €T
AW ENIEE S i<%ﬁéhé#%@mhi? HIDATY ThoDhA 2 BOELLIK, BIOATY TL
BHHEDATY TTOETILVD -2 N LEDETYT, BEEZENT SAT Y 7Tl ﬁmwﬁuﬁﬁoﬁ
EONZIWEGE, ZOBRAIZYTT, BREHIRT 52 ATy 7 TlE. ﬁmwﬁM@WOﬂ);bﬁgm%
B, TOBRIMIZYTT, 12 AT v 7OHBE. 12 [HOERBET IVISEMINET,

B SE Wald ot Sigt. Exp(BY

Step 12 | address -.035 .00a 14.543 1 .0an el
ermnplay =051 010 25,767 1 000 850
reside -.103 046 5.037 1 025 402
equip -1.048 381 26180 1 .0an 143
callcard J7T 151 26.451 1 .0o0 2174
longrnon -.233 0322 | 115619 1 .0an 92
equipmon -.042 011 18.377 1 .0an RelE]
multline 612 145 17.854 1 .0an 1.544
voice -.A01 A&7 101497 1 001 BO6
internet -.362 JEBD 5.114 1 024 687
callid - 464 148 3.780 1 .00z 629
ehill -.398 186 G.557 1 010 BT

Bl 349. RNDOE (ATv 7 12 DH)

B E T IVITIE, address. employ. reside. equip. callcard. longmon. equipmon. multline. voice. internet.
callid, & ebill EENET, 4 DFREDOR R 2R T 27212, Exp(B) /A FT, Thix, ¥
HIEDBAZIIH U TFHlT SN — NOZ L e fifRE g 7,

% 26 2 Cox MINFZMIH L ZBEEIRNT S EToOMBOETIVER 305



* address ® Exp(B) fHlk. [F UEGATIZAEART TV 2 BEIXHEMRINT — KDY 100%—(100%x
0.966)=3.4% T OWWDTAHILEZEKRLET, HUEAC 5 FEMEEL TWABEEDOHIINY — Nk,
100%—(100%x0.966°)=15.88% JEA L £,

o callcard @ Exp(B) ffild. EGEH— K - = AZMAL TOWRWVEROMRIINY — Rk, =2k
ALTWAHE LD 2175 fEREVWZ L Z2EW®RLET, #7573V —ZHoa—Ficky, mIFTIE
No=1THhdIrz2EVHLTLIEIN,

o internet ® BExp(B) fHl&. 1 X —% v b + Y—ERTMAL TORWEE DM NYT — Fix, -t
ZIZMALUTWBHHED 0697 f5ThH2 I 2ERLET, Zhid, Y—EAZFALTVWHHEEDIZ
ISMY—EAZFHUTWARWVWEHE L0 LEHTHAILTWEZ L2 RBLTWD Z W, A TA%L
BTY,

Scare df Sig.
Step 12 | age 122 1 26
matital E48 1 421
incorne 1.476 1 224
ed B.328 4 AVE
ed(1) .0av 1 934
ed(2) 203 1 E52
ed(3) 835 1 361
ed(4) 5773 1 016
retire 013 1 908
gender 214 1 E44
tallfree 3.243 1 072
wireless Ril:t:] 1 414
tallman 000 1 987
cardmaon 3163 1 074
witernon 1.084 1 298
pager 1.808 1 174
calltwait 266 1 B0g
farward 220 1 138
confer 2.568 1 104
custcat 364 3 334
custeat(1) 466 1 445
custeat(?) 4a0 1 A0z
custoat(a) 019 1 .Bay

350. ETIVHIZHEWER (AT v 7 12 OA)

ETANSIETINZEBOAITHEIRIZENE, HREAKED 005 2RI TWET, 72720, tollfree
B X cardmon OEFEKEEX 0.05 RETIED D THAN, PRODITVWEEZTET, INHIZDODWT, X
SIZFARTW EHAWTL & 5,
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HEEDTIIE

IMean
Age 41.6584
marital A05
address 11.551
incame 77.535
ed(1) 204
ed(2) 287
ed(3 209
ed(4) 234
employ 10987
retire 953
gender 483
reside 2331
tallfree A26
equip E14
callcard 377
wireless To4
longrnon 11.723
tollmon 13274
equiprman 14.220
cardman 13.781
Wireman 11.584
multline 525
voice B9G
pager 734
internet a3z
callid 519
callwait A15
farward A07
confer 498
ehill E29
custcat{l)y el
custcat{2) T
custcat(s) 281

X 351. HLZAEEOFYIE

:@%—7»Kﬁ\%%%%ﬁ@$%@ﬁ%%éﬂi?°:@%—7»ﬁ\$%@mﬁbfﬁﬂéMt$ﬁ
fnvb%%ék%ﬂ\ﬁﬁkbf&ﬁBi?okﬁb‘ﬁ%ﬁU~%w@®%@ﬁﬁ®$%%ﬁé%%

K\Fﬁﬁjwﬁgﬁiﬁaﬁﬁﬁbiﬁho?&127~»%M@%ﬁ%bf%\%E%@@#ﬁﬁfﬁ
%tﬁw@%%%owéztu&thamw?b;50%ﬁ@#—z@éﬁ@ﬁ%ﬁzm%éﬁ\F7Dv
FJﬁ%?ﬂﬁ'ﬁvﬁlﬁ\%ﬁ@ﬁ%fﬂvb?éﬁ@%@@%?%b%To%E@#—%@Eﬁ@ﬁ
ERIZWEEIR. FEME ) a4 7a2 - Ry 220 [Fay b V=70, LFiE 7oy b33
HEBOMAELEELET,

% 26 ¥ Cox [Ei& A U7 BESMNT 2 EcoRMOEFILESR 307



FEIRR

0.8

Cum Survival
=
o
1

[=]
.
L

0.24

0.0

T T
20 40 &0
Months with service

X 352. [Yg) OREE O A7)

BRI IE. ET VR TFUUL 72 [ OB NS 2 £ TORMZHRIIZRR L £9, Hilh
ARV NETORMERL 9, MHEIEFOMREZRLET, LB T, EFHBROEDRA >V k
., [P OFEPZORMEZRBELUTCEHEEL L TR TWAiEREZRLUET, 55 WHZEES &,
EFHREDEVEOILTERSRVET, THNIEFEEDORMIZO- > TERT 22EOEZIXITFE A WA
Wz, HHTEAEEVPDRL, TP RS BRoTVWET,

NS — KRR

257

2.09

Cum Hazard
o
1

o
1

0.5

0.0

T T T
40 &0

[P
[*]
(=]

Months with service

353. T3] DEEONY — Niffif
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BEARR 2N — NHIRRIZ, ET VR PHUL 2. ) ORBE MRS 2 BRI 2 TRENE 2 SRR RR U
E9, BEIA NV P ETORMEZRL £, #Mtihd, EFEHEROADOHBEFL VWEBMN Y- FE2RL X
T, 55 WHZBES L, EHFEHHROGEERUBEIIZE D, A= NfIEHE VoL TR LD £

ED

i

ATy TUA LEFGRIZE D, BETVIC TREHICARR ) PHEZ DG ENE 2 LIRFEE X I72%
ZOETNHPERIGHEFUTE2OIEL TVWE I LA HFAMTEEDTED Y A, ZTOLDITIE, A
ATV TEINLVA-RENTELENDH D T,

-

Evaluation
. . i;ﬁ File ) Generate
v

‘ Seﬂings]l A ” = ]I ati |
, |Lidhenceay SunnEny) giungtationsy

mevend] ()

Predict survival st future times specified as;

Regular intervals

@ Time field W tenre

Past survival time: |

@ Append all probahbilities

D Calculste cumulstive hazard function

354. Cox 77y b: T8&E] X7

1L ET)V - F7y bEFEBICREL, ThEY - -/ —FIcERLES, F7y bEWT, T3

El XTIV vIULET,
2. THfZ7+4—0FK] 23R,

VU ITINET,

3. [IRTOMEREZEBEMN #ERLET,

ltenure] Z¥FELET, {HL I—KiE, ZD tenure DEITAAT

ZHIZED, BENENTENE SO Y hAT7E LT 05 2FHLTAITHAEHRINE T, B

B OMRIMEED 05 £ D RKEWHA,

fpg e LTRAa 7 ) v 73 nEd, ZOBFITIIMOENS

L, Bigd Ay MATERMAE, o LHANLHRPGONSHRELDH V£, Ay MATD

BHIZDOWTHEET S 1 DD,

Al ) — F&2fifd5Z&TY,

% 26 2 Cox MIIFZMH L ZBEEIRNT 5 ETorBOEFVIER 309



e,
[ e——p——

Charttype: @ Gains ©) Responze @ Litt

©) Profit S ROl

Cumulative plot Include bazeline Include best line

~hiodels
Find predictedfpredictor fields using:

(@) hodel output field metadata
©) Field name format (for example, ‘F=x=-<target field=")

rCther Scaore Fields
Plot score fields

Target:

Separate by partition

Plct:

Style: @ Line  © poirt

- :

Costs: @ Fixed SO @ Wariable |7! '5
e T

Revenus: @) Fixed 1005 @ variahle |—! "E
& T

wigight: @ Fixed 108 @ Yarishle |—! '5

;Eaﬂﬁﬂ

355. §i/ — K: 7w b &7

4. FMi/ —REZETIV - F7 v MIHERLET,

RUET,

5. A7 vav] 2700y s LET,

310 IBM SPSS Modeler 18.1.1 77U r—ay HA R
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ot CRone | e Cus sovtsens.
:

Lzer defined kit

Condition:
Uzer defined score

$CP-1-1 @
Expression;

Include business rule

Condition:

Export results to file

Filename; output bt |

Dielirmiter:

. Include figld names . Mew line after gach recordd

X 356. #li/) —K: [AXTvav) &7

6. A=V —EHFDORAIT ] ZFERL, K& LT '$CP-1-1' ZANLFT, INBET M & > THER
INF2T7 4 =V RT, RO T,

7. IEf7] 22092 UL%T,

% 26 ¥ Cox [H% i L -BEVENT 3 X comMoe 7 LER 311



100

B0 -+

20

! $BEST-churn
i | $C-chumn

1
0 20 40 &0 20 100
Percentile

churn = 1

357. 71y -5 7

312

BRTA Y - 7571k, F—ADEHBMON—k Y b ENRIZITH LT, BEOHTF T — (71
VIWZEEND T —ADRBONR— Y M ERLUET, FIAK, #iFRED 1 A (10%. 15%) &, Z
DETNEFEHLTCT—X -y b2Ra7) 7L, ROFHERTETr—2A%Y — UL

Gy EAL 10% ITIXEBIC T TY — 1 (##E) LRZRINELET—ADK 15% PEEFNE T L%
BRL 9. FBIC, AL 60% ITIFRRIEDK 792% MEEnEd, a7y vranksr—X& -
Ty RO 100% EERUEAE, F—& - £y PADTRTOMHELRETE T,

AT TR=2F 14 ] T, Ra7)V v I7ENET—&X -y bR5T VX LIT 20% DL
I— NZ2BERTIEGE, BEBRIIATIV— 1 ERAEINEZELI—FDO/H 20% 2 714> 1275
ETHTEET, PR —AT A kD EIZHBITE, 1 UdRREL v ET, Rkl 74
ik, FEMRFIE L D BNEIZ L D @V OMEM A I 7 2 E 0 M TS (588 €7 ILOfhfRZE R
LET, BETFAY - 79 7%fHT L, FLETHTA4 IZHIET 58—k M2ERL, 2O
—k VN NE#EY LAY NATEIZSYE YT TBHIET, DO Y A TEERLP TR F
ERS

(LT D] T UIMITHERENEDE, 2171 BXOXA T 1T OFEZETHHDS TR MIUKE
LEd, D0, MEZEMNZEL UTHELAEZZ2ICEZaA NN (X147 1) &, FEENE
EIEFIEZE L UTHOELAEZ EICE B a2 A ah (X1 7 1) TY, BEEOGEEI RS BELELNE
BOT, RA4T 1 OiEE2NSLSTEBERDDET, BRIV - 777 TR, ZhiE, FRIER
M1 DEA 60% IZABBEBIZNTEIHARY— - 72\ EXFA2Z 21286 LET, Zhizk-
T, FRIDAHENED H BFHE D 79.2% % EETEE TN, TIUIh»BRHIE ) Y — Ak, HHEE
DEBIZEP T TEET, BEOHER-AZHFT 572003 2 s OMH P ELEINEI5E
X, 247 1 OREEZNILKUVLET, 77 7Tl EAL 20% T2 AR — - 7 %A ESHE
HZLIZHIGLET, ZHUT X DIENED 325% 2#EETEET, BFEIIEHLLHHEELRZEFHIET
T, TD-H, BEEELFEEORELSHNASOE CHEZDETEL LS RBEL— V2 ENT S
BERH D T,
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Field Ordler |
FCP-1-1 ¥ Descending

X
=y
+

Defautt sort order: (@ Ascending @ Descending

ooty | Eeeet

358. V—bt /) —NK: [@E] &7

8. HIZIE, HWLETEHT A V% 456% ITPELZELET, ZhiEk, LI—FD LA 30% IZ3%4 L
T, YIRS Y NATERDIFBITIE, Vb V= REETIN - FTy MTERLET,

9. [&{El XT T, $CP-1-1 IZLBBIEDY — b ZFEKL., [OKI 27V v 27 LFT,

B Table (34 fields. 1.000 records)

lod File | Edt £ Generate

Takle

rh | HC-churn-1 | FCP-churn-1 FCP-0-1 FCP-1-1

292 0 0744 0744 0.256 =]

293 0 0745 0745 0.255

294 0 0745 0745 0.255

285 0 (0745 0746 0.254

296 0 0748 0748 0252

297 0 o748 0749 0.251

298 0 0749 0749 0.251 B

299 0 o750 0750 0250

300 0 0752 0752 0248

301 0 ln7s2 0752 0248

302 0 0754 0754 0.246

303 0 0754 0754 0245

304 0 0755 0755 0245

305 0 0755 0758 0.244

306 0 o757 0757 0243

307 0 lo7st 0757 0243

308 0 o758 0758 0242

309 0 o758 0759 0.241

30 0 0761 0781 0239

311 0 0762 0762 0238 =]

X [

359. #*

10, F—=7N -/ —=FR&Y—1h /= RICERLET,
1. F—=7) - J—FR2FVT, T#EfF 229y 2 0L%T,

% 26 T Cox [Hi% i L -BEWRNT 2 X comMoe T ILER 313



Hh%E FAZRZBa—)LT5&, $CP-1-1 OfEH 300 ZEEHDL I — KTl 0248 THEZ Wb Ed,
0248 Z DAY PA T UTHALZFERIZ, UEL L TRAaT7 ) v I INZFEEDRN 30% 12720,
EBEDORMEFZ DR 45% 2HEETEXT,

T RIEER B DEH
METHETIVERONLS, T—& -2y PANT, 58 2 FHICO> THFFTE 5 & TRIZ WD B
BaBHU£9, Null HOBEEIX. GEHAEHIR (RO + tenure) BWETNOFFIMEHIN-ZT
— R OEARBIOHPAIMZH D BIFKFECHELZZRLTOVWET, THITHLTS720D 1 DD HEEIE,
Null fE%fERIFEAEINET 5 TFHMEE ., BEBLLZ2ET 2 FHED, 2 DO FHIfEE Y b Z2ERT
522 TY, TOAREITE-ST, BEERDOFHIEIZ ERE FRZFETE X7,

ﬂ Prediction

P @

COox

|:.. File @ Generate

—
| Seftings || Advanced | Summary | Annctations

Predict survival at future times specified as:

@ Regular intervals Time interval: E

Mumber of time periods to score:
© Time field ‘ ~H
Past survival time: |§ tenure

(& Append all probabilties

D Calculate cumulative hazard function

oy

X 360. Cox 77w b: [&El 27

1. =5V Ny NTETIV - FTY R NEXTNIV Y (F2FAN) —LMHETHTY Yy h2aE
—UTRIDA) L. il oy b2Y—Z - ) —RNIZERLET,

2. Ty NE RE] R7ICHEET,

3. [T—EDME WERINTVWEZ L 2ERL TS, FiEFEE LT M.0l 2, ¥5i22a7Y ¥
AR E LT T24) 248 L Ed, 22k, £La— KA 24 A HME. BH2a7Y)
VIEINS IS ITEEEINE T,

4, BEOELEHRBZBET SO0 T+ =NV REUT ltenure] ZF8IRLET, A7V 27 - 7)LdY
ALF, FEEOEMOBEEZEL U TOHBOEI2ZEL £,

5. [IRTOMRZEM ZERL X7,
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Ed Lower Fstimate

Kery fields: D Keys are contiguous
Aggregate fields:

Field | Sum | lean | Idin | M | Shew

$CP-0-1 [ [l [ [ ]

$CP-0-10 [+ [ [ [l &

$CP-0-11 | [l [ [ ]

$CP-0-12 [+ [ [ [l &

$CP-0-13 i O O O O

$CP-0-14 [+ ] [ [l =]

Default mode: E Sum D Mean in E Mz El Shev

Mew figld name extension: I:l sodas: @ suffic O Prefix

D Inziude recard court in field  |Fecord_Court

X 361. #3t/ —K: T&El 27

6. Hit/—Fz2EFTN - F Ty MIERLET, [E] XT7T, 740V - E—=FR&LTOD [

) 2R ERL X9,

7. BEHITEB T4 —NRELT, [$CP-0-11 75 T$CP-0-24] £T. ERD $CP-0-n O 7 4 —)U K %5
RUET, Zhix, 74—V FROER] X1470s - KRy Z AT, 74—V K240 (00, 7

V7 7Ry NE) TY—bhLTWIUE, BBEHRIZITZET,
8 [74—=IRIZVa—FNEHEZEDD] 2B IRMERLET,

9. [OKJ Z227VvyZ2UL%d, ZDO/—FiE., TR OoFHEZERL X,

% 26 T Cox [HFH% i L -BEVRKNT 5 T comfoe FLER 315



EdNults Stay
L 2

Setinge | vt

Fill iru fi

eld=:

& 5cP01
& $cP-010
&7 §CP.0-11

& FcP012

Replace: Mull walues .8

Condition:

@ELANH@FIELD)

Replace with:

1

Lo ) (cenel

362. B — N TEE] &7

10.

11.
12.

316

FEITHEE ) — Ra#ki U7z Cox W7y MZiE# ), — &8kt L £,

[FE)] X7 T, B

574 =)V RE LT, [$CP-0-1] 75 [$CP-0-24] £T, XD $CP-0-n D7 1+ —)VKEFERL F
T, ZHiE, 74—V ROER] 14707 - Ky AT, 714 —IVRE4H (DF0O, TIVI7

Ry ME) TY—hLTWHIE, BBEHRIZITZET,
VM) #{H 1 CEBRITLIIEZERLET,

[OK| 227 Vv 27 L%,
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£2Upper Estimate

| Settings | &nn

Kery fields: D Keys are contiguous
Aggregate fields:

Field | Sum | fdean | Idin | M | Shew

$CP-0-1 [ £l [ [ ]

$CP-0-10 [+ =] [ [l &

$CP-0-11 [ [l [ [ ]

$CP-0-12 [+ =] [ [l &

$CP-0-13 [ E O O =]

$CP-0-14 [+ =] [ [l ]

Default mode: E Sum D Mean lin E Mz El Shev

Mew figld name extension: I:l sodas: @ suffic O Prefix

D Inziude recard court in field  |Fecord_Court

363. HEt/ —F: &gl 27

13. HFEt/ —Fa2EHR —NIERLUET, RE] 27T, 774008 - E=—FRELTO E) %%
RIRRL £9

14. #4574 =NV F& LT, [$CP-0-1) »5 [$CP-0-24] £T. AN $CP-0-n D7 1 —)L K %
RUET, Zhix, 74—V FROER] X1470s - KRy Z AT, 74—V K240 (00, 7
V7 7Ry NE) TY—bhLTWIUE, BBEHRIZITZET,

15. 74—V RZVa—NEHREEDD] ZEBRLUET,

16. TOKJ 227Vw27ULEd, ZD/—FKix, T[ER] OFHEZELL £,

% 26 ¥ Cox [H% i L -BEMENT 3 X comMoEe TV ER 317



lud Months

Fields: 24 in, O filtered, 24 renamed, 24 out
. Field Il Fiter Field
FCP-0-1_Sum —_— 1 =
$CP-0-2_Sum —_— 2
FCP-D-3_Sum e 3
FOP-0-4_Zum —_— 4
FCP-D-5_Sum e 5
FCOP-0-6_Zum —_— B
FCP-D-7_Sum e 7
FCOP-0-3_Zum —_— g
$CP-0-9_Sum —_— 9
FCOP-0-10_Zum —_— 10 fizs

@ Viewr currert fields  © Wiew unused field settings

X 364 74NVR— -/ —K: [&E] 2T

17. 1 208N/ — K%z 2 DOHEH /- NIZERLTH S, 74X — - J—RZEEIN/ — NIZEHRL X
7,

18. TA4NR— ) —=FD [FE] XTT, 74 —IVRDLH[Z 1 15 24 TTIZEAFLET, AN X
J—=REMATEE, ZN6DT7 14—V K&, FROZ T 7T x SOMEIZHRD £,
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My field names:

; S, ]
@ Use prefix Mumber of new figlds:

©) Read from field |

-

| . Read ‘alues | Mew Field Matmes

Maximum number of values o read: 00 B
Transpose: (@ &l numeric © &1 string © Custom

Fielcks: | - |

365. AWz —F: (&€l 27

19. ANEZ ) —RE 740V E— - ) —FRIZEHLET,
20. FILWI7 14— RDFKELT, 2 ZANLET,

Fields: 3 in, O filtered, 3 renamed, 3 out

| Field — [ Fitter [ Field
D =% Woiis
Fisld | —>  LowerEstimate
Field2 = Upper Estimate

@ view current fields  (© View unused field settings

Lon ) o

366. 74NE— ) —FR: [T4NV&x—] &7

9 26 % Cox [M|JFEZHH L ZBEELIMNT 2 2 TORMOE S VAER 319



2. 74 NVR— - /) —=FRZANEZ ) —NIZERLET,

2. T4NVKR—- ) =KD (&gl 277, [ID | % TH] 2. TFiedl] % THEMEDO TR 2,
[Field2) % THEEMD LR IZ#4R2EH LU X9,

W tield:

f Upper Estimate

" fialds: ﬁ Lowver Estimate

Crverlay
Lm L A e [

Mormalize

Ovetlay function v =
: []
When number of records greater than: 2000

@ Ein © Sample ©) Usze all data

367. #2757 - —FK: [Favybh] &7

23, BT S5T - J—RET4IX— - ) —RIZEHELET,

24, 7w )] 27T, X 74— KJ 2 TAI 2, Y 74—V F]) 2 THEEMHED FR] & THEE
o LR 2% ELE9,
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(= - -
Estimated Numbers

Z% |

L%l Appesrance || O A z
Title;  |Mumber of Custamers

Subtithe: | |

Caption: |Estimates the number of customers retained |

Wlabe: @ auto © Custom

Y label @ Auto © Custom

E Dizplay gridline

[ ok | run)[ concel]

368. 757 - J—NK: AL 27

25. [HMEl 2 7% 2V 2L,

26, XA bhLELT, TEEE#H 2 AHULET,

27. ¥y JvavelLT, BEEBHROFRI EANLET,
28. [%f71 #2Vv I L%,

NMumber of Customers

1,000~ :
800 - !
600 :
400 i
2001 :
SIS N AR RN N NN RN I RN R PN N R NN U SRt Y PN ! S N K SO
1 2 3 4 5 6 7 8 9 10 11 1Z 13 14 15 16 17 18 19 20 21 22 23 24
Months
Upper
Estimate
Lower
Estimate

Estimates the number of customers retained
369. HERH % FHT 58777

FHIENBFEEERD LR E FEMEK SN E T, 2 KOMBOMEDAEIE Null 237 ) v r7Iniz
BERTT, TD=d, TORMIEH72 D AHEEFETT, Rl iz, Zhs OBEEEIIEMU £
9, 12 AHBIZET—X - &y PANOTTOBEED 601 ~ 735 AWFEEETH D LI T T

o 26 ¥ Cox [|fF% (i LB MNT 5 X CORMOETAER 321



24 HHBIZIE 288 ~ 597 A0 £9,

'E4 Unknown % (X
: 20

Mode: @ Sinale 9] tduttiple

Derive field:

|Llnknown P

Farmula:

(100 * ["Upper Estimate’ - 'Lowwer Estimate')) / 'Lower Estimate’

B 370. 74—V R{ERR — R: [&El &7

29. EEBRBOHENENFEAMEETH S A2 RETITIE. 71 —VFERK/ —RE2T7 V& — - /) —
FIzE#RE L £9,

30. 74— KMEK/ —RD [FE] 27T, IREZ7 14—V K& LUT lUnknown %) £ AJILET,

3. 74— NV ROF—xME LT NfGER] 22RUET,

32. A& LT, (160 » ('Upper Estimate' - 'Lower Estimate')) / 'Lower Estimate' X AJL ET,
[Unknown %1 &, [EEbHLLWV ] BEEOHEZHEMD FRONN— > hTHRLU X,

33. [OKJ 22VvZ L%,
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H: Manths o Lnknown %

i i 5

» X figld: K

Crverlay

Colar: @ Size: H | Shape:
Panel: E Animation: Transparency:

Overlay type: (@) Mone

©) Smoather

@) Function Y=

X 371. fE¥ ./ —K: 7oy b &7

34. fEB/ — K& 71—V FIERL — RIZE#Ri L £ 9,

35. fE%/ — R [7ay ] RTTC. X 74—V R& LT TH] .Y 74—V R& LT lUnknown

%] ZERLET,
36. (4Bl x7%22Vv 2 U%T,

% 26 ¥ Cox [H% i L -BEVRNT 2 X comMoE T ILER 323



Ed Unpredicted Cases E

®: Manths o Lnknown %

Title: |Llnprediciable Customers sz % of Predictable Customers |

Sulbtithe: | |

Caption: | |

Wlabe @ suto © Custom
¥ label @ Auto © Custom

Tisbet @ auto @ custom

E Dizplay gridline

372. fEX ) — K. THEl &7

37. XA ML ULT, [FRUEABREICNT S FUARTRELRBEEDESE] AN LET,
38. /—FR%EEFLET,

Unpredictable Customers as % of Predictable Customers

1201

100

Unknown %
F3 (=1} o0
T 7 7

(%]
]

i

| | T T T T T T I I T I T T I T
5 6 7 8 9 10 11 12 13 14 1516 17 18 19 20 21 22 23 24
Months

373. FHIARFBERBEHED 70y b

RO 1 FERNEFHIAARERBEE D /S — 1 > MIUTIERALEE TR L 355, 2 FEHICIX IR 28
U, 23 #AETIZ, Null {2 DOBEDOED., FHISNIEECERMEZBEOH%E LMD £,

324 IBM SPSS Modeler 18.1.1 77U/ r—Y 3> HA K



2AF7YVY
WMRITIETILZEONES, HEZ ATV VI UT, REFIEHNT L L FRIZNSWEANZIUERZ &
2L £ 9,

u 'Scnring

| [
lad File {0 Generste

4

cox

L&ﬁg@_@gﬂ Summary &nnmatiasnsw]

Predict survival at future times specified as:

Settingz

@ Regular intervalzs Time interval:

Mumber of time periods to score; nn
Tithe figld | i
Past survival time: W.}En‘ur@ [!E ]

E Append all probabilties

|:| Calculate cumulative hazard function

Lo J[canca)

374. Coxreg +7v b: TEE] X7

1. 3FBHDETN - F v baY—2 - /) —FRIZEHRLT, TOETIL - F Ty b2lHEET,

2. o] DMERINTWDZ 2R LTH S, KR E LT 3.0 2, X522a7) v
JTAHRIEE LT T4) 2ELET, Zuckd, £La— L& 4 WEHOM, 2a7 ) v
TEINBEEDITEEEINE T,

3. BEDEFHEZIBETAEZODT =L RELUT ltenure)] #ZBRLET, Xa7)vF - 7iLdl
ALF, BREEOEMOBEEZEL UTORBOEX2EZEL £,

4, [T RTCOMERZEN 2FRLET, INSOEBINOT =L RIZED, T—T NIRRT IHED
La— KDY — bR E0fEBEIZARD £9°,

%5 26 # Cox [t % i L -BEEPMRENT 5 £ CORMOE T VER 325



Seings | encstene

flade: @ Include © Discard

churn=0 @

Coneition:

ok cancal

375. ZAkH ) — R TRE] &7

5 &M —RNE2ETV - F7y MIERLES, [E&E] X7 T, &2 LT lchurn=0] & AHL
F9, ZHTED, TTIHNUZBEEERT — 7 Vol Ed,

Derive as: Conditional

Detive fram:

& P11 =

& $cpa.2 ' X
& $CPa.3 i |3
Field name extension: addas @ suffic O Prefic

Derive as:

Mode:  (©) Single @ Muittiple

TIF: Refer to selected fielkds by using @FIELD
Field type: 8 Flag

If:

‘@FIELD:D.MS |

Then:

Lot ) (caneel]

376. 74—V RNERK/ —K: [&E) 27
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6. 74— IVRER/ — FEZMHt ) — N LEd, E] X 7T, E—Fe LT IEH %%
RUET,

7. kAL E UT T$CP-1-1) 725 [$CP-1-4] £T. JBRD $CP-1-n O 7+ — )V NZEIRL., BT 28
Bt LT T churnl ZANULET, ZhiE, 74—V RDOER| X4 707 - Ry AT, 74
— IV REZHET (DED, 7LT7 7Ry MH) TY—bhLT0WIUE, HEEHBIZITRET,

8. 74—V R%E IE&MHE] EUTERTEZE2EIRLET,

. WEOREE LT 7578 2#KLUET,

10. [If] Zfbx U, T@FIELD>0.248] 2 AN UL ET., ZHILFHlio & il a8l y AT
ThHHZ 2B VHLTIEI W,

11. [Then] K& LT 1] 2ZAHULET,

12. TElse] X& LT ol #AHNLET,

13. [OKJ 22V w 27 UL%9,

u Sort

Sart by

Field Order |
FCP-1-1_churn ¥ Deszcending
FCP-1-2 _churn ¥ Descending
FCP-1-3_churn ¥ Deszcending
FCP-1-4_churn ¥ Descending
FCP-1-1 ¥ Deszcending
FCP-1-2 ¥ Descending
FCP-1-3 ¥ Descending E

Default sort order: @ Azcending @ Descending

377. V—F - J—FK: [&E] &7

14. VY—b - —=F%2 74 —=)VRER/ — NIZHEERLET, €] X 7T, $CP-1-1_churn 75
$CP-1-4-churn £ T, BLY $CP-1-1 5 $CP-14 £TT., IRTHRIETY -+ TH5Z & 2BRLE
T, AR THIINABE I BTSRRI NET,

%5 26 ¥ Cox [t % i LAV T 5 £ CoORMOE T VER 327



L4 Field Reorder <

Reorder
@) Custom Order @) Automatic Sort
Type | Field | Storage |
] FCP-1-1_churn 7 [(Unknown) “
& [ECPa4 @3 Real | F
] FCP-1-2_churn 2 (Unknown) s
& BCPa-2 @3 Real %, o
8 FCP-1-3_churn T (Unknovan) ;
& P13 @3 Real [0
8 FCP-1-4 _churn T (Unknovan) i
& lscp14 <#? Real ¥

: Clear Unuzed. |

Mate: Fields added dowen stream of this node are not recrdered.

378. 74—V KDUREZ ) —K: TWMiREZ] 27

15. 74—V FDUHREZ /) —FKZ2Y—bF - ) —RZERLET, MEREX] X 7T, $CP-1-1_churn
Mo $CP-1-4 FTEMD T 4 —)VROFHIEEIND LSITERLE T, Zhid, AR T—7 0
ZRXILLTEEDEDOT, A7V arTd, MIZRTABEIZT =L R2BET2I121Z, RXU%
L £,
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Tahle (50 fields, 726 records)

E]’@w

\w File |5 Edt ¢ Generste
— g
Tahle éil_.&.nnqtatigns“l
$CP-11_churn [$0P11 |$CP1-2 churn [$0P12  [3CP1-3_churn [$2P13 P-4 churn [3CP1-4 [terwr
255 0 0032 0 0075 0 0147 1 0295 43 [
256 0 0027 0 0.064 0 0127 1 0260 43
257 0 0.023 0 0130 0 0233 1 0.308 53
253 0 0.021 0 0127 0 0238 1 0320 54
259 0 0.021 0 0125 0 0237 1 0318 54
260 0 0.021 0 0.053 0 0195 1 0331 50
261 0 0.021 0 0.053 0 0195 1 0329 50
262 0 0.020 0 0.050 0 0138 1 0317 50
263 0 07 0 0.043 0 0163 1 0278 50
264 0 0015 0 0.038 0 0145 1 0253 50
265 0 0197 0 0197 0 Sl 0 Frulg &6
266 0 0108 0 0108 0 Frul§ 0 $nuls &5
267 0 0101 0 0214 0 Sl 0 Frulg 65
263 0 0,031 0 0137 0 0194 0 0245 73
269 0 0.074 0 0158 0 ALl 0 Frulg 85
270 0 0.070 0 0116 0 0158 0 0237 25
27 0 0.070 0 0128 0 0183 0 0.234 45
272 0 0.062 0 0105 0 0151 0 0191 73
273 0 0.062 0 0130 0 0163 0 0212 44
274 0 0,061 0 0123 0 0182 0 0241 4 [=
I —— B

379. B DA AT R RTTF—7

16. =7 ) —FK&2 T4 =L FRDOUEREZ ) — RizgEL T, 70 ET,

ERETIZ 264 NOBEVAIL, 5 3 WEHOMKD D £TIZ 184 A, 5 2 WK ETIZ 103 A,
1B E TIT 31 AP T 2 e FHIINE T, FED 2 AOBEKICEEHT 2 &, & 1 RO
fHFDS K D 5RA > 7B D, BOVPETHMHIOBALRNEIXR FEA, HlZIX. LI—F 256 &
260 2SR TLZIWV, ZhiEk, BEEOBREDCREGHEOBEOE A H D NY — NEBORRITKEKT 5 &
5T, BIAIE, IR HEREOBRIZIMA L -BE X, AL SEID SN TIAUZBEE X D RBIicMittic
VOB REMEDLEL R0 T2, UEZI o758, TOLORHERIL. EBOL ZAHK D DRE
W & 0 BERFERICRAMER DD T, BHEE2Y —FLUEL T, T 2 EEEIRD & VEZIZD

WTHIOR 2352 b TcE%T,

%5 26 ¥ Cox [ % LA MR T 5 £ CORMOETFLIEER 329



[ Table (50 fields, 726 records)
| File | = Edt 4 Generste

— =
Tahle E!l_.&.nno_tatigns“i

FCP-1-1 _churn | $CP-1-1 |$CP-1-2_churn FCP-1-2 FCP-1-3_churn | FCP-1-3 FCP-1-4_churn | FCP-1-4 |tenur
707 ] Frullg 0 Frul% 0 Frul® a Frulls 71 E
05 ] Frul ] Fruls ] Fruls a Frullg 71
709 o Frull$ ] Frul% ] Frul® 0 Frulls 71
710 ] FrulE ] Fruls ] Frulls a Frullg 72
ikl o Frull$ ] Frul% ] Frul® 0 Frulls 71
T2 ] FrulE ] Fruls ] Frulls a Frullg 72
il o Frull$ ] Frul% ] Frul® 0 Frulls 72
714 ] FrulE ] Fruls ] Frulls a Frullg 72
il o Frull$ ] Frul% ] Frul® 0 Frulls 70
TE ] FrulE ] Fruls ] Frulls a Frullg 7o
Hily o Frull$ ] Frul% ] Frul® 0 Frulls 71
15 ] FrulE ] Fruls ] Frulls a Frullg 72
il o Frull$ ] Frul% ] Frul® 0 Frulls 72
F20 ] FrulE ] Fruls ] Frulls a Frullg 72
T ] Frull$ ] Frul% ] Frul® 0 $rullh 72
722 ] FrulE ] Fruls ] Frulls a Frullg 1
Tl ] Frull$ ] Frul% ] Frul® 0 $rullh 70
724 ] FrulE ] Fruls ] Frulls a Frullg 1
e ] Frullg ] Frul% 0 Fnuld 0 Frullh 70
726 ] FrulE ] Frulls ] Frulls a Frullf 72 |=
P rre—w— [+

X 380. Null flEQOBE % RTT—7 )

F—=7ND—FFIZ, FHEHUED Null OFELPERINTVET, INSOEEIE. AeHEE/ ko
W + tenure) BETNDOFEEIMHI N T — R OEERE OHFMH D £,

£

Cox MJEZMAL T, MNT 2 £ TCORMIZETIZYLETIVE LD, 5% 2 FEICEEE TV
5L FPRINBBEEDOHE Ty MU, RIEFICHNT gL RE S WEE 2@ 2 L E Lz, Z
NIEZURETLTRDDEOD, RlERETIVTIERWARENS H 0 3, HAKIZIE, D d, &
BEEINAT Yy 704 RiEREHLUTCHEONIEZIDETVE, BRBADATY 704 X2 FH L TEKR I
ETNEHEETA2HELRH O T,

IBM SPSS Modeler T & 15 € T IVERFEOE AR L ER DAL,  [IBM SPSS Modeler 7V I
DAL - HAR ] 22RUTIEI N,
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2T E =Ty b NRATy KO (JL—ILIEH/C5.0)

ZOHITIH, A=N=—=T v FDONZT Y N (DEDAKHZBAINEGMBEOEE D) ONEE2FAT S
By —2e, WAEOBEMAT —XZ2HVWET, ZOMAT—XIE, o4 Y VT4 —- =K - 2%
— LD OHEESNAHEREMAH D £3, HIIE, FLOLUZEEZ2BAL, EEBOINALEIZE > TAORMET
IR T 2 Z DR TEBBE DI N -T2 AT 5 L TY,

ZOHITIE, ROELIBT =R - A= 7D 2 ODT z—RZDOWTHHL T,

s TYYI—Yay =)l ETIEKE Web 7T 7R RIZE>T, BEAZINET AT LD v o
ZHSMMZUET,

o (5.0 V—ILIFMNIZ Lo, I NAH-E SN —TDAEZEDO a7 7 A IV EEKRKL T,

B COBMATEFHET VERZESREHL SEA, 20D, BROETVOMEIHESNT, £
TR -XAZVT - TR AIETSHEEN T o NLEEH/BREOKHBH Y £HA,

ZDOHITIE. BASKETSIn £\WHT—X + 77 A NVESHT S baskrule L \WD A MY —L%MHL T,
IN6D7 7AWk, IBM SPSS Modeler 1 ¥ A b —)LIEAEREED Demos 74 V27 b —IZH b X,
ZDOF 4L MY —IZiX, Windows ® [A&X—hF] A=2—0 IBM SPSS Modeler 712 5 . + 7' )L —
TheT7 v ATEET, baskrule 7 7 1 VL, streams T4 L 27 M) —RIZHH £,

F—I~NDT I ER

MERET7 74N - J—FREMHLT, 7—X - &y b BASKETSIn 128t L., 774NV M5 74—V K%
EHRAADIEEBIRUET, TR —F2F—X - V—AIZE/KL, RIZFTD/)—RE2F—=T) - )
—NIZERLET., 71—V cardid DREORE%Z [T —XBIAH] IZHELET (HFEAYLVT
— - A—=F DX T—X -y MNT 1 HEULLPRELRVZD, ETFTIVERTIKRIIIEEZEA), 74
—V N sex OREDREIZ T#ER] 2EIRUET (Apriori ET N - TV TVXLD sex 27 778
UTHELRWEDIZT E720),
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B — G -
BASKETS1n type tahle

= e —
Yy Gy U

ﬁ @ healthy wine_chocs beer_belns_piaa
' 11 Fields _
11 fields Y A
~ -H-»> P f
> -A> L
Gp
%i}f t;ie her_heans_piza
11 fields s
(¢
2

beer_heans_piza

381. baskrule A NV — LA

WIZ, ANV —LZEFLT, F—XBM ) —RE2A4VAX V2L, T—TNVERRLET, T—X -
MZIZ 18 D74 = RPREENTED, FELIA—KREINZRTY v 2RLET,

18 D7 4 —V KX, TNFNRORHLTEINTVET,

INAT s DERY:

o cardid, TDONAT Y MEBEATIEEOOAYLVT 4 — - A—FD ID TY,
o ovalue, WNAT v N DEFHBEABETT,

o pmethod, XA b DEXINHETT,

71— R A 2 O NG R D FF A

. sex
o homeown, H— RFAEEDPREZMALTVWEDNE D h,
e income

. age

N7y N OWE - Wi 7T —OAHEE RS 7 7
*  fruitveg

> freshmeat

s dairy

*  cannedveg

*  cannedmeat

*  frozenmeal

> beer

*  wine

*  softdrink

332 IBM SPSS Modeler 18.1.1 77U/ r—Y 3> HA K



s fish

*  confectionery

N7y NOHRBICH T2 HEELGBERORER

RDIZ, TY YT —=Yay - b—VEERT D700 Apriori ZHHLTNRAT v NONEICEIT 5 HEE
7BER (FHBE) OBl ZEET 2 B ELNH D £3, T—XE) —FEHEL. TRTORENT T -0
Blamfs CBEL, MOITANTOREZBL ITHRETEIET, ZOETMERT B A THAT S 7«
—VREERUET, (HH &ld 74—V EPERETVOALEZIFHIOVTNIZTEILETES
ZEEB®RLUEY),

HE: FIh oA 7Y a v EBET SHENZ, Shift F—2LUARNRSERD 7+ =V RE2ERTEHEZILET, TN
SDEBDT 4 — IV RIZHLTA TV avEHRETEHIILNTEET,

Clear Yalugs Clear Al %Values
Field Measurement Values Mis=zing Check Rale
[a] zex @5 hominal F Mone & none -
@ homeown 8 Flag YESMO Mone © Nane
{} income ﬁ Continuous [10200,3... Mone © none
{} age ‘ﬁ Continuous [16,50] Mone @ No_n_e
[A] fruitvey & Flag TF Mone ) Both =
[A] freshmest | 5 Flag TF Mone N Input
[A] dairy @ Flag TF More © Toroet
@ cannedyeqy 8 Flag TF Mone
Ly o — ®ean |7
: . : : 3 © Mone
@ view current fields @ View unused field settings g Partition
= spit
e
id Record I

382. EFIVERRH 7 4 — )V K DR

ETMERA 7 4 =)V REEE LS, Apriori / — R&2 7 — X8 — FIZE# LT, Apriori / — %
(U, 1753 73EOMEOHR] 7> avEFERLUT, Apriori / — FOEFE27V v 27 UET, fERIE.

TE=TY— U4V RUDALED TEF)] ZTIZEFNVELTEREINET, ZOMEICIZ, 7YV
—>ayv = UPEENTED, IVTFTFAL - A=a—T B 2BIRUTCERTEILNTEE

ERS
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4 11 fields

? ‘ i File ) Generate

toclel .-... : =
Sort by (Confidence % o+ | ¥ - 1 -

5]
)] (]

|i Conseguent ] Antecedent i_ Support % ,| Confidence % I
frozenmeal beer
16.7 a7 425
cannedvey
Cannedven beer
17.0 85882
frozenmesal
heer frozenmesl
17.3 94393
cannedveqy

Lot ) (coeet

383. 7V vIT—var - )b—)

INSDIIN—)ViE, BEAN. HEHE. BIUOE— IO FIE2BEEMEZRUET, RO LS NG
DY) IT—vay - L—LIREFEELET,

frozenmeal -> beer
beer -> frozenmeal

Ik, Web £R (WHRIDOBEEZITZRRUET) BZDT—XHNDWL DPDNR— 2 &8 555
ENBHBHILERLUET,

Web /—RA2F—XB ) — RIZEHL T, Web / — RE2HEL., TRTONATY hORNE T4 —IL K
PEIRLUET, 2. [BEOT75 7K 32K R] 28KL, Web /—RNDEFE227V v 7 LET,
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@Weh of 11 Fields : Absolute #1

[B[E][x]

e Fle |5 Edt ¢ Generate  oF Wiew (8ivweh = Link

2 (efx)

By =,BE
confectionery
ke cannedmeat
j'\.

frozenmeat-§#
fruitvedpOftdrink
@ beer @ cannedmeat @ cannedveg @ confectionery
QO dairy @iish @ freshmeat Qfrozenmeal
L
I ' I ] ] ' ] ] I ' I ] ]
50 70 o0 110 120 180 170

384. W DEED Web 75 7 KR

KB GE ST T —DHAEGOLEPEBDONZA Ty NNTHRELTWSED, 20O Web 2757 LD
BV v oML T EC, ETFTINVTCRINAEBEED SN — T2 RTIENTEERA,

Weh of 11 Fields : Absolute 52

e File | Edt  {) Gererste o Wiew 48 Weh = Link

o oot
B P

mi>

confectionery

cannedmeat

fishg

@
freshmeat *
T :
o £ 5 wine
frozenme
fruitve goftdrink
O beer @ cannedmeat @ cannedveg @ confectionery
O dairy Dfish @ freshmeat Dfrozenmeal
& e
]
I ] I ' I ' ] ' I ' I ' I
50 0 an 1 130 150 170

Threshald values are:
Abzolute

Strong links are heavier

‘Wieak links are heavier

Wieh Display

© size varies continuausly
@ size shows stronginortmalivesk

Strong links shove

100

+

30 17z

100

Wieak links below

a0

+

0 17z

385. R X N7z Web 25 7 FKx

1. WA BWHHEZIEE T 5121, VU ARA—DEB W EHEHNARZX 22V vy 2 LET, AT H
7Ry 7 ADNEETN., Web HAODHEB LIy = ARREINET,

2. [V A ZXEBNEFE/GHNTHRR] 2ENLUET,

M5 27 B ov—rrvy b

S SRy WA (OL— VIR / C5.0)
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3. WY UIE 90 KREIZHRELET,
4, W) V2% 100 BIZEZELE T,

FERD ST 7RRHNTIE, D 3 DOFED I NV —THEL>TVWET,

o« fULBEMLEEEBATE N —F ( THENZZR IV — T LIERZ ERTEET)

s TUAVEHETHEMATLEIN T

s U, WHAN BIOHEEHXEZBATLIIIN—T ([E—NEEEETFDIN—T])

BERISI—T0707 74 IVERK

INT, BALEBMEBORA T2, 3 DOBEEDO IV —T52HMLELEZ, LEL, 5IIN5D/
BENEDESREED (DFD INSDEEDONOMENR T o7 7 1)) 2HEBEVRELZ25E5HHD
¥9, 2. BRERICINSDRIN—T2RT 757 2HEHUTER T 2T, & 512 —IVIRN

(C5.0) ZMALT, TNH6DTFT7DNL—)b - R=2DTOT 7 A NVEERT DI LIE>TEHRHTEE
ER

FELDIZ, ETN—TDT7 7 7% RESEIRENDH D £T, ZhiE, BIFEEE L Web 77 7R
Mo CTHBMIZAERT 22N TEET, GYTVR - RRUT, fruitveg & fish OV Y 2% 20 v o
ULTHIHEZRR LTS, G2Vvy 2oL, TUY2I2DT7 14—V FIEK/ — FAERK] Z2:ERUET,

Web of 11 Fields : Absolute #2 EEE

g File |5 Edit £ Generste  oF Wiew i Weh = Link

| roph | annotations |

" FEER 'YX |

confectionery

dai cannedmeat

ﬂs rl ' AY
'N|  Generate Select Mode for Link
freshmeat."..l , Generate Derive Mode for Link
frnvanm;g&'?"‘.;'fa" e
fruitveg = T, fish = T (145)]

@ beer @ cannedmeat @ cannedveg @ confectionery
O dairy @fish @ freshmeat @ frozenmeal
L
I ' I ' I ' I ' I ' I ' I
50 70 a0 10 130 150 170

386. REE TN —T DT 5 7 DIRE

FERD T 4 =)V FEHK /) — R2fE LT, IRET « =V F£% healthy (ZZE LU £, wine 5
confectionery ~D YV > 7 2L TIDEEEZBRVIR L, FROIRET « —)V B2 wine_chocs &\ 5 #4Hi
T ET,

B3DIN—TTIE @ 20V VIWBHEEUET), BN VI PERIN TRV L 2MRLET,
WIZ, DA - REAVEI2VY 2 LEBoY T b - F—%2MU T, cannedveg. beer. B XU frozenmeal
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DEMED 3 DOTRTOY V7 2BIRUET, (MT. MET—RTRELAVEIIT47 - E—RIZ
LTLZEEW), TIhh5H, Web 77 7RRAZa =06, IROA T avaEERLET,

M) > T7 14—V FIER/ — K (AND)J
FERDIRE T « —IV RDAHT % beer_beans_pizza (ZZEHE L £7,

INSDEEITN—TDTO T 7 A NVEEKT 22, BFEOT—ZM ) —R2ZhoD 3 DDT7 4 —)b
RAERK — FICEFNCHERE L, WSO T — X8 — R L £ 3, HillT— &8 — N T, $TD7
4=V FOZEZL L ITRELE S, 72720, #HIsE UT. value. pmethod. sex. homeown. income. ¥
S age FAN ITRETLE2HENRH Y, BETIBE N —T WA, beer_beans_pizza) \FXR 1ZFRE
TOBENDHYET, C5.0 / — Raefhil, kA 7% Th— &y b THEL, /- FOFETEZ
Vw2 UET, ARDO XS, $ERDETIV (beer_beans_pizza) (1. Z DR )V — 7 DUIHE N DG
a7 7 ANBEENTVET,

Rule 1 for T:

if sex = M

and income <= 16,900
then T

2 ZHHOT—&2H ) —FCHHE UTHEINT 22 LT, RUAEEMOBE NV —T - 77 7ICHEATE £
T, ZOIAVFTFHFAMT C5.0 TiEAa< Apriori Z{HT2Z T, KVEAENVRETD 7 7 1 V% AR
TE X9, Apriori &, 1 DO T 4 =V FIZHIRSI RN, IRTOEE TNV —T D7 57D 70
77 ANERARIERT 2-0IHHTA2ILETEET,

e

Z Ok, IBM SPSS Modeler % {#if LT, €T IWAEK (Apriori ZfifH) £ €Y a7k (Web 75
TRAREMH) OMAIZE>T, T—RAR—ANOEELBREZIX) VI 2RATHHEEZRLTVE
T, TN6D) U IIET—RANDT —AD T )N —TIHIGEL, Zh5 DT — TIEETIVER (C5.0 )V
—J -y FEMH) IT&oT, FELSHART, 7u7 74V EERTEET,

INBESE IR, PIZIEZDESITEHEEZ V=R L., BilA 77 —OXNRIZLTEAIL Ik - A=)
WA EREZM EXEZ0, AOMEFN—ADTFEIZEDLE CTHEITIERE L U T < 85, o #ipH % 5%
L7z Tc&ET,
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5 28 & HTLVWEHERMOFM (KNN)

BOEEAIZ. ZDIELDT — AT B3O E STy — 22 08T 5 ETT, vV UFEET, #
FINFZNRR =V EE T — AR T IBERUIIT —XDNR— VBT 5 Hike LTS
NELUE, BLLEZTY—23BHEWIEL, L TWARWTr— 2B EWIE#NTWET, DFEbh, 2 D
D — A OHHIX, Tho OIEELEDORETT,

HWIEWT —2% TR ETET, HILWI—Z (K= FT7 U ) BEET25HE6. ETLVHOE
T=ANSZDH LT —AANDHHMVFIREINE T, ZRBEC LT —AORETH L [Haals] HHEE
TN, FLWT =20, BRBOBEHEZ &0 AT IT) —ITRAINE T,

MEFST B BOEEDOREIEETEET, Z0MEEZ k LT, MiZ, HrLWT—2AH 2 DOELLED k
EHEALTEDISIINEINE D2 RULET, k =5 OGE., BbEEOKREMEHITIV— 1 12ET S
72, LW —RFATFIV— 110 ET, 72720 k = 9 DFE. BLEORKEHIEATITYV — 0
BT 570, rLWwWr—REFA53aV—01ZHbx9,

7o, BOEESWAMHL T, EHEMNSEE2HETLIILETEET, ZDGE. BRFEOEE E-13d
LONEMEEFEAL T, LW — 2O FRIEEEE L 3,

HEIEA—H—2, 2 DOHLVWHEHE CEAESLIOC NIy 2) oo M &A4 T2 LTWET, L
WETFILAZHPFIZEAT I, A== HBIcH3BEFEOHHFETENIARE 7 b X1 FITEVD

M, DEDEOHBIED [HEE] mOh, TOLOEDETFTIAINEAEFEL L2002 M T 5 BEND
nDFd,

A—H—FTEIERAT I —DOBRFOETNVZETET—22INEL, TD 70~ X1 TOFEMER%
BMUE Uz, ETNVELET S 07 3 —2id, lilg (BhA: T) (price). T2 DY A X (engine_s).
&1 (horsepow), A —)VR—Z (wheelbas). W& (width), ®5& (length). B (curb_wgt). KRR
(fuel_cap) B L ORISR (mpg) DY 9,

ZDHITIX, Demos 7 ANE—D streams Y77 A IVE—WNIZH B car_sales knnstr E\WHA MY —L%
HHLUET, T—& - 7 7 A0IE car_sales_knn_mod.sav T3, #FMIZDOWVWTIE, [5 R—=Y D [Demos 7|

FAE—J LTI,
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AN —LDVERK

— ?E — (o8

car_sales_knn_mod.sa.. Tyoe ,NDTargetS
#

o 4
%

Table Ma Targets
B 387. KNN € T7IMERDY > TN - A bV —L4
FA MY —L%MEH L. IBM SPSS Modeler 1 > A b —)VEREED Demos 7 # VX —IZd %
car_sales_knn_mod.sav %45 URT Statistics 7 7 1)V AN/ — RZEBILU T,
TP, A—HI—DIPEL T —RIZODVWTHTAEL & 5,

1. ¥—7J) - /) — LK% Statistics 77 T IVAN/ — FIzEHL £,
2. T—=7N -/ —=REWVWT, [FEfF] 220y 2oLZT,

[l Table {16 fields, 159 records)
\d File | = Edit ) Generats
| Table || Annctations

manufact |model |sales |resale |type |pric:e |engine_s horsepow |wheelhazs |Width |_
140 Toyota  Celica [33.289 15445 00, 16.. 1.800 140000 102400  B3.3.. 1%
1H Toyota  Tacoma§4.057 9575 1011, 2400 142000 103300 BG5S
142 Toyota  Sienna 65119 $nuld [1.0..[22... 3000 194000 14200 T34,
143 Toyota  RAN4 25106 13325 10 16.. 2.000 127000 94800  BET..
144 Toyota  4Run.. BS3.411 19425 1.0, 22, 2700 1590000 105300 BE.S..
145 Toyota  Land . 9835 34080 1.0 51.. 4700 230000 12200 TE.4.
146 Wolkewe.. Golf @761 11425 0014, 2,000 115000 @3800 B33
147 Wolkawe . etts 83721 13240 0016 2000 115000 934800  BE.3.
148 Wolkswe ... Passat 31102 16725 00, 21... 1.600 150000 105400 B35
149 Wolksw ... Cabrio 9563 16573 0.0..19... 2.000 115.000 87 400 B6.7..
150 Walkawe... GTI 9086 13780 00, 17, 2000 115000 @3800 B33
151 Wolksw ... Beetle 49463 Fnullf 0.0.. 15 2.000 115.000 85900 67.49..
152 alvo 40 16857 Fnuly 00,23 1800 160000 100500 BY.G..
i) Walvd W40 3545 Fnullf 0.0.. 24, [1.900 160000 100500 67 6.
154 Walvo =70 15240 Snullf 0027 2400 165000 104800 B9.35..
iS5 Walvd W70 17531 Fnullf 0.0, 25 2400 165.000 104800 BS3..
156 ok CT0 3483 Fnuly 00 45 2300 23E000 04800 0 1.5
157 Walvd =80 18969 Fnullf 0.0.. 36... (2900 201000 109900 721
158 nesaC . Snuly oy Eno. 21 1 a00 7E.000 106300 678
159 newe' T Frully  Frnullf Fn.. 34, 3.500 167.000 109800 752 |7

[ e —— [H]

o]

388 JHEB IO I IV IDY—R - T—2X
newCar & newTruck £\N> 2 D2D70 M XA TOFHMMN, 771 INVOHRBIEMENTHNET,

VR - F=RApo, A—H—EhR0BVENR [Ty 2] DN (type FIOM 1) ZHHLT
WT, HEIEEUAAOEEOHT 2 ZWRL TWBSZ 2B 00 0 £9,
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BB EZRET 2H5EI2 2 2O 70 XA T2 F— NV RT7 Y MNOIEF THETE 5 L5129 5121%.
BEDF| partition WHBETT, TDLIIZ, INH6DT—XiE, BEHIANDTHHOKD O TH
5720, GHEIZEELUEEA, 2 DOFR—IV 7T b - La— KD partition Dz 1 IZFEL., il
DFRTOLA=FIZOVWTIDT 4 =V ROfiZ 0 IZET DL, HEELVI-F (BubffzatHd
ARV IA—NR) 2F/ETIHEIBETIDOT7 =V R Z2MHHTEET,

BhozBITL50T, T—TJNVHEAT e R DEWEZEEFIZLET,

T:rpe _

‘ Types | Format |I Annotatlons

[ B Read Yalues | Clear alues | Clear Al Values

Field Measurement Walues Miz=ing Check Role
S TIUT SRRy F e N N FINVES |22, 430... e i A TP
Q} wheelbas ﬁ Cortinuous [926,135... Mare h" It
G2 wicth & Continuous [62.6,79.9] Mone N Input
@ length & Cortinuaus [149.4.22.. Mare N Input
@} curb_ gt ‘f Continuous [1.69325... Mone b It
@}fuel_cap ﬁCDrrtinuous [10.332.0] Mone N Irupoet
@ mpg ‘f Continuous [12.046.0] Mone h" It
Q} Inzales ﬁ Continuous [-2.20727.. Mane & Mone
@part'rtion 8 Flag 10400 Mone N It -

@ Viewy currert fields @ Wiewy unuzed field settings

X 389. 7— &) — NOHE

o ®

TR ) —REZAMY—=LIZEMUET,
F—ARW ) — K% Statistics 7 7 1TV AN/ — RIZERLE T,
F—A8 ) —RE2EEET,

74— R price 5 mpg FTOAELKT 57280, ZNH5DTRTDT 1 —)L NOEENL T AT
DEEDEFIZLEXT,

ZTDOMDTRTDT 4 =)V K (manufact 75 type & Insales) D&EIZ 720U ] IZREL £7,
BED T 4 —I)V R partition ODWEDOREZRZ 75 78] IZ&EL T, ZO/RED TAT]) ITRES
NTWBHZ e ZMERLTIZEIW,

MEDHAAA] 22 )y 7 LTT =R fHE A MY — MIHARAET,

OK] 227 Vv 27 L&Y,

o028 O L WHBEHE RO (KNN) 341



The kMM procedure will identify the most similiar training cazes (the nearest neighbors) to your cases

of interest. A target field can be predicted based on the neighboring values.
Wihat type of analysis do vou want to perform?
© Predict 2 target field
@ Only idertify the nearest neighkbors
What is vour objective’?
@ Balance speed and acouracy
Automatically selects the best number of neighbors within a small range.
@ speed
Findz & fixed number of neighbors.
@& Accuracy
Automatically selects the best number of neighbors swithin a larger range and uses
variable importance when calculating distances.
@ custom analysiz
Choosze this option 1o fine tune the algorithm on the Settings tab,

Lo (B n) [ conca

390. 5D FEA O IR

10. KNN /—RZF—&8 ) —RNizExRL £,
11. KNN /—FRZ2B&E£9,

2 OO N RA TOEEEEZ RO BEITRDT, SEIENET + — )L ROFHNIIT>TWVWER
/\JO

12. THW) 27T, TBEEDOAZEN] 2ERLU T,
13. [@&wEl 2722V v 2o L%T,
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£d Mo Targets el

@ =N )

Settings

::_._:.Ea Sefting=s || snr

Model Moclel mame: @ auto © Custom
Meighbors [¥ Use partitioned data

Festure Selection [¥! Build model for each spit

Cross-valication To zelect fields manually, choose "Use custom settings" on the Fields tak
Partitiar: |

Analyze J 'g
Spilits: vl

Marmalize range inputs
E| Use case labels I'E

@ Identify focal record | @

B 391 T—RREP 74—V REMFHLUAZEEL I— NORTE

14.
15.
16.

ZITI, F—RKD 74—V FREFHLUTCEEL - K (BRIEE2EETIHEOL a— 1K) 24§
ETCEET, 757874 — )V RZMHLT, 2074 —)LROMEMN 1 ICH/ESINZL I— RHPEHE
Lad—ReGoTWBI e Z2HRALET,

RO EED, ZDT7 4=V FOMEHN 1 1Zm->TWB L I— N newCar 8 X newTruck DA TH
5720, FNo6DOLa—RAPEEL I—-NIZRD ET,

[FFE] 27D TEFN] NAFVT, [HELVI-FORE] Fzv7 - Ry 7 ZA&ERLUET,
D74 —=IVROFRY TXIY - VAP, [FT-XX53] ZERUET,

[FEfT) "RV %2 7V I LET,

928 # O LWHBIEE SO (KNN) 343



HODRE

fd Mo Targets
# | L File @ Generate d Wienn
6'2;
| Annotations |
et
Predictor Space Peers Chart
Built Model: 3 selected predictors, K=3 Focal Records and Nearest Neighbors
Focal Focal
@ Price in thousands Engine size
i 40 35 @ o
& @ves 101 159 @105
_ a- 159 .101559 30 82 101 ®ves
7l T i 928 22 ] 131130 Type
- ype 130, 13 20 15508
8 @ Training 10 858 157 858 @ Training
g A Holdout A Holdout
E Horsepower Wheelbase
=) L] |
o 200 159 125 92
= e 92 ®' 01105 w7 1591-.3-1‘105
[ =] 1201 13013 e 158
K 3 131
-ﬂ 801 156955 1025 &%
2 Width Length
5] 92e9—159 1957 o
ha 190 105
& 101 @105
5 158 185 101159
o 131 180 8 131
£ &s8130 1o 130tsagss
This chart is a lower-dimensional projection of the predictor space,
which contains a total of 9 predictors.
Select Predictors...
“Wiew:  |Predictor Space ™ | “iew: |Peers X |

392. EFI)N - ¥a—T—- -4V RwY

EFN - FFY MBA DY —MEEB LCETL - SLy MUERINTOWET, 77y bonThrzH

CELETIN - Ca—T—NEREINET, EFL - La—T—IZ@FRKD 2 DDNRIADSHE T 1V Ry

RhHoET,

e 1 DHDONRRNIEAS Y - Ba—eIFEN, ETVOMENRRINET, BIEFEET VDALY - ©
a—ld, PRI L FENE T,

¢ 2 DHORVIZIE, D 2 FEOE 2 —DWIThhrhRRINET,

MEMET I - Ea—1Zid, ETVOFEMARRINE T, ETVAKICERITY o TVWEEA,

Vo7 - Pa—id, A4y - Ea—D—IZOWTRILET LV ULEEED, ETILDHIRHIZON
TOFMZERT L2 —TT,
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T AlE DR

Predictor Space
Built Model: 3 selected predictors, K=3

Focal

A @0
A ®ves

Type

@ Training
A Holdout

b
[ ]

Engine size

This chart is a lower-dimensional projection of the predictor space,
which contains a total of 9 predictors.

393. FHIEHD S T 7

TR D 27 F 71k, 3 DORF (ERIEY —A - T—=RXO\HID 3 DDAN7 1 —=IVK) DF—X - K
Ao 278y b TE3A4VRTI7T 477 3D T T 7T, ik, =TIV AR, BEhEzRLUE
EP

2 DOHLL I— NIERCHEFARRI N, Tho6 L bk OREEVPTOREN TV T,

75 7%2Vw I L TCRIv I L, FPHIFEBORS Y MO Z L0 00X T KRRTEEZHDIZ, 7T 7
ZAMREXELIeNTEET, Vv b REV2I7VUYITDE, TT7400 - Fa—IZEL T,

%28 ¥ H L\ EBIHEE O (KNN) 345



AL &

Peers Chart
Focal Records and Nearest Neighbors
B i i : Focal
Price in thousands Engine size on
40 354 o
101 155 @105
<] |
- 159 ”’1558 30 82 101 ®ves
i 928 257 131130 Ty
130 2.0 15508
10 §58131 151 [ Rk @ Training
& Holdout
Horsepower Wheelbase
200 i 112 5 g2
1604 92 @ 159118105
| 130131107 il e 158
120 153. 131 _ 58
80 @58 10251 & 130
o Width Length
5| 2159 g 52105
Bl 101 1058 10
5 158 185 101159
2 131 180 0 13
2] &s8130 1oe| 130t58gse

394. [FfRLX

T 7 4V O 2 —XEMKITY, FAMKTIE, PHIEETERLZ 2 DOl a—RNe, 6 2D
K (V—A - T—=Z2DBRHD 6 DDANT 14—V R) TNFhD k DEILEIHRFAFRRINET,

HEHIX, V= - T—XOLI—-FESTRINET, 22T, HEHEEZRET S22, 7—7) -/

— KoMV HETT,

T—=TN - J—=RNHEOPEEFHHAAETH 2 5E, ROFHEEZETLET,

1. AA Y IBM SPSS Modeler 7« > RUDE EIZH B2 —Vvy— - RAVD HI| T2 7V v o
LT,

2. HH [7—=7)V (16 74—V F, 159 LI—F)] 2X7V2 Vv LET,

F—TNVHIDMEHTERL > TWAEE., IROFIEZFETL £,
A4 > IBM SPSS Modeler 7«4 Y KT, ¥—7) - /J— Kz,
.

. =t
4. (7] 22Vv I LET,
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Tahle (16 fields, 159 records)

| File | Edt ) Generate

Table | Annotations

ﬂ@

.

manufact |model |sales |resale |1\,fpe |pric:e |engine_s harzepow | wheelhas |Width |
140 Toyota  Celica 33268 1544500 16, 1.800 140000 02400 BE3. _
1H Toyota  Tacoma 84087 9573 1.0, 11... 2400 142000 103300 BE.S..
142 Toyota  Sienna 65118 Snullf 1.0 22 3000 184000 14200 734
143 Toyota  Rawd 23106 133251.0..16... 2000 127000 94900 BE.7..
144 Toyota  d4Run.. BS411 194251022 2700 150000 105300 EBE.S..
145 Toyota  Land ... 98533 34030 1.0..51... 4.700 230000 112200 TEA4..
146 Waolksw . Galf 8781 114250014, 2000 115000 |95.900 B33
147 Wolksw... Jetta 83721 1324000, 16... 2000 115000 |95.900 B3.3..
145 Volksw .. Passat (51102 116725 0021 1.800 150000 106400 BS5..
148 Wolksw... Cabrio 9.589 18575 0.0..18... 2000 115000 47400 BE.7..
150 Walksw . (GTI 5596 13760 0.0..17.... [2.000 115.000 85900 5.3,
151 Wolksw... Beetle 43463 Fnulf 0.0..15.. 2.000 115000 |95.900 B74..
152 Walva =40 16957 Fnullf 0.0.. 23 [1.900 160000 100500 B7 6.
153 Wilva w40 3545 Fnuld 00,24, [1.900 160000 100500 BY 6.
154 Walva =70 15245 Fnullf 0.0.. 27 [2.400 165.000 104800 BS3..
155 Wilva Wi0  17.531 Snuld 00, 28... [2.400 168000 104900 EB93..
156 Walva Ccvo 3493 Fnullf 0.0.. 45 2300 235000 104800 T15.
157 Wilva 580 15968 Fnul§ |00.. 36... [2.900 201000 1084800 F2A.
158 newC L Fnulls  Fnullf Fno. 21 1.500 76.000 106.300  B7 9.
158 newe'T... Snulld  Snull§ [$n... 34, [3.500 167000 109800 752
I ——

g
V]

395. La—REFEFIZLB L I— NOKRE

F—TINDOFREIZAZa— )T B L. newCar B
D, TNZTN 158 BLV 159 OFERF VT WEZ 00D 7,

Focal Records and Nearest Neighbors

Peers Chart

Price in thousands Engine size
40 101g, s 35 150 @105
g e a0 92 101
o] 928 257 13tig
130 / 158
104 §58131 S /58
Horsepower Wheelbase
2004 1BE 112.57 92
g0 92 @ 1591-01,105
] 1304 31105 107 5 ® 158
120 1558 131 _58
801 @98 10251 & 130
o Width Length
5]  ao@—159 g g
57 105 180 g L2
x| 101 @ 101
5 158 165 ;59
= 131 180 131
£ &s8130 1oo] 130+5egss

396. [AIL I DIRFED L

Focal

@®no
@ es

Type

@ Training
A Holdout

newTruck DT —XDIHED 2 2DV I—RTH

ZDZ e sEME TR, BlZIE. newTruck (159) DTy YV Y DH A RFWINOFLHEL D $H K E

<. newCar (158) DLV I Uik, D BEFEDENLD BRI W EBHND £7,

%28 B O L WHEBIEE O (KNN)

347



6 DDEFNFNIZONVWT, HEDHED EIZ Y AE2BEIL., ZOREDY — A2 DOWTHKRHDE
BRofExRRTEET,

LA UL, EOHEBHED newCar & newTruck OFEEEZDTU & 5D

FIREEE, HTRMEL TWA-D, LD HEMARRIZEAFELEL &S,
5. AMMOFHICHZ [Frl KRy 789y - VAL GUE [¥7] LR>TWAHEE) 220 v 2L
7,

6. NofEsXOH#MOR] 2EIRLET,
EES S UBERDOR

k Nearest Neighbors and Distances

Displayed for Initial Focal Records

Nearest Neighbors Nearest Distar
Focal Record
2 3 1 2
158 131 130 58 0879 0.990
159 105 92 101 0.580 0634

X 397. ifEe K OB o X

INTRXILEDELE, INT, 2 2078 EA TOFENEFNIZRN L, FiHGTHREEW 3 DDET
NEHERTEET,

newCar (F0xL 3 — K 158) D¥#A. Saturn SC (131). Saturn SL (130). # £ Honda Civic (58) T
ER

BIREZLIEFHVEFA, 3 DOHIRTCHWFHEOL XA VEABEHTH 5720, FHIVREMRIZEN TS
0. newCar NEILLEHELET,

newTruck (F.L 3 — K 159) OHE, Hlf%iE Nissan Quest (105). Mercury Villager (92) 3 & O
Mercedes M-Class (101) &7 D £7,

D EBH, HKOBERTIZINSEBT UL NIy I TR FHAN, HEHEE L THHEINTWAR
WH Y, REDT—7I) - J— K% R 5 &, newTruck DA ELERIMMRSA E <. £/ Z OFEME TR
HEOHMED 1 DTHAEZIEWHNDET, 72720, ZOEAETH, BERIRP RS LW E A st o 85,
FODENTVWEZD, FIRD 1 DITBAONET,

e

BILESHZ EDIIIFHL T, EDT—X - v bDOT — A0 —HDIEIANRFHEE IR T 2 DH D
WTEHHHLE U7, /2. 2 20X 5K BRE3FR—IL K7 M- LO—FRIZDOWT, ZhoDF—IL KT
T RMIRBLTWAT —ZADFHEETWE L2,
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529 B EURR XNy IRORREFZOMRE (TCM)

HDHMEETIE, BREFNRE Y 32 ZAOMBIRAEE FiIH T 2 A EEFEHMIEE 2885 L. X 512, HIMETEE
BREBDA M)y Z7HBIHLTWET, ZOMBETIE, FIETHERA NY v 7 & EEEE RO M DA
REREZBRET 272012, KEMNKRRETY V72 fHAT AL 2B LTVWET, X512, EEEEMN
FREOMIZE KRBERIFEIET 20 Ed D 2RET 22 EICHEELEH D T,

T—& 774 tem_kpi.sav (Zid, EEEFEHOEEE BIETRA ) v 2 OBERT —XBEENTVE
T, BEEREMGUERED 7 — X%, BEERE KPI MWz 7 0 — L RICE SN E S, HIEaEER Y v o
DT —RIF, HEEER Lever WM\ 74—V RICRE SN ET,

AN —LDVERK

b3S
-m>
J + _‘_’

tcm_ti.sau Type TGM

Table TCM
X 398. TCM T MERDY > ) A1) —LA

1. FHEANY—2L%EK L. IBM SPSS Modeler 1 > A b —LIFAEEED Demos 7 A NVEIZH 5
tem_kpi.sav %45 L R Statistics 7 7 1 IIVATI/ — F&BIMU £,

2. F—7)N+ J—FK% Statistics 77 1T NVAN/ — RIZEHL X,
T—=7N J—=REFWT 1FEfT] 22V v 7L, T—XE2MRL £, EEEETMEE S HIH A58
ANy ZOBERT—ZPEENTWET, EEEEMIEED T — X%, BERE KPI Wiz 7 4
— IV RIZEE SN, HIHETETEEA N v 72 OF — &%, BEEEEE Lever DMz 7 4 — )V RIZREE I N E
9,
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-

Table (31 fields, 112 records) =R =<
\s File | = Edit ¢ Generate | &) | & ||i|ﬁ (@ | x|
Table| Annotations

date |Le'u'er1 |Lever2 |Lever3 |Lever4 |Lever5 |KPI_1 |KF’I_2 |
1 2008-09-07 6.8416 1176 101.839 83258 2027711 1.8289 1891.833|=
2 2008-08-14 6.091 1472 120610 103.803 2343404 2162 2125261
3 2008-09-21 8108 1.093 70512 81.053 1813224 1.2809 1848765
4 2008-09-28 6.503] 1121 78581 86393 2722012 1734 2551.153
) 2008-10-05 8.564 1.024 148035 104379 2235634 1704 2186.098
] 20081012 7.331| 0848 170236 91477 2607424 1642 1711.295
7 2008-10-19 6.996 1362 230139 69636 2354322 1.681 2112309
8 2008-10-26 7.863] 0959 169.925 87400 1860496 2304 1561.226
9 2008-11-02 7.894) 1131 307.334 109800 1600156 1732 1929897
10 2008-11-09 6.548 1.052 467642 77574 2007203 1.913 2042415
11 2008-11-16 4281 1232 564812 80350 1764707 1.915 2268544
12 2008-11-23 7458 1.219) 523.018 105373 2106771 1.6V6 2451.158
13 2008-11-30 7.235) 0973 628724 73206 2666294 2160 2553336
14 2008-12-07 7.752  1.032 654648 99905 1915698 1.964 1614.402
15 20081214 7.839) 0770 V12274 80301 1811261 1147 1925271
16 2008-12-21 8.529 1374 609621 98391 1792807 2.033 2320.790
17 2008-12-28 6.069 1.034 562279 117.396 2216.657 0879 2473.630
18 2009-01-04 6.174 1442 613071 72062 2530900 1701 1769.694
19 20098-01-11 T.046 1410 718218 95504 2285149 1841 2215692
20 2009-01-18 5805 0933 908362 83863 2391528 1977 2094.555E

[ [*]

399, EEEEFMIEE L HIHATEA N vy 27DV - F—2X

TR ) — REANY —LNIZEMU 9,
5. F—X&HKEl ) — K% Statistics 77 T IVAS/ — FIZE#HE L £9,

SHTDELT
1. TCM /—FZ25F—&8 ) —RNizgEsL, TCM /J —RZ2BWT 74—V F] 270 EHl v27 >
aVIZBELET,
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rg}mm ==
0

Fields Data Specifications Build Options  Model Options  Annotations

Select an item:

WA S @ Observations are specified by a dateftime field

SRS Dateftime field:

42 date -l

Time interval: |Weeks b

i) Observations are defined as periods or cyclic periods

Period field:

~H - =

Cycle fields:
Level |Fie|d |C].rclelength Starting value | |
>
T.
¥

[ OK ][h Rgn][ Cancel] [ Apply ][ Beset]

400. FFFRMREET Y > 7, B

2. THA/EEZ 7 4 =V K1 25 date Z238RU., THRIXS) 74—V Ko A 2#BRUET,
3. (KR 220w o LT ERBFADEEEZMEH] 2EZRUET,

YTV F—=XEv b tem kpi.sav Tlk, 71—V R Leverl %5 Lever5 O&ENEX [T AJ1) 12725
TEDY, KPI_1 75 KPI 25 O&ENE Tii 5] 12> TWEd, [EHRFAOKEZMH] MMBRIN
TWBEgAE. &ED TAT] O7 4 —)b NIZREIWKERE T Y Y 7O AN OMERM e U TS, #&E
WG] 74—V R, BEKEREETY 7O ANOBMEE X OHROMH2 LTS X
ER

BEMRREET) V7 oy —Y vy —Tld, AHDEROEY hOFERSRE T OHBEREDO AN 2
WMILUET, ZofITIk. ATOEMIX. 71—V K Leverl 6 Lever5 £ 74—V K KPL1 556
KPI 25 T9,

4. T%17] 22Yv 2 L%9,

29 % YRR ANy IHOREEGOKE (TCM) 351



2HEDETFTIVRES ST

TI7ANNTEREIND [REOETIVEE] HHEHBIZIZ, §RTOETVIZDVWTOERT T TEET IV
DHEEEDOEME Ny b Ty MRFRRINET, ARRFNTLITHZDETADNGFHELET, ETNVOHE
B, BRINZESERGHCIOHEINE T, ZOHITIE. 774 N OEAEHE (R2 F]) M
HAXhTwET,

[BADETINE] THEIZIZSGEREER DD £, ZOEEZ2EMNITHIZIE, La—T—HNOEhkD
ETFNGESS 7R TNy 2 UCHB27 275714 712 LET,

InteractiveDLerut-OveraFF Model Quality = @
File  Edit Help
=
Overall Model Quality
11
10-
9_
8-
gl
=
g 6~
s
I 57
4=
3-
2=
1=
0 | [ T 1 I i i | | 1
028 012 1] 012 025 038 0s 0gz 07Vs 088 1
R Square
Find modelfortarget:| x |
Overall Model Quality
£ E = g 8
] 8 8 8 » g .
I ] I I 1 I I I 1 | I
028 012 0 012 025 0.38 05 082 078 0.88 1
R Square

X 401. &ROETIVINE

WIS T70MEZ )y 2358, Ry b 70y bR 7400&) 730, BIRUZBIZEHEMN T ST
FTLVDANRERREINET, Ry b Ay bO Ry MIvURA2a8bE 52, BEERNDOLE L EEERE
DENREENTZY =Ly MPRERRINET, Ny b Ty NOREDRNRRIDE T ILVEETIZIX,
HRETFTIVORE] Ry 7 AR E AN LUET,

352 IBM SPSS Modeler 18.1.1 77U r—Y 3> HA K



2EROETIV VAT A

T 7AWV NTERINEI2EDET IV YATLHEBEHIZIEZ, TV VAT LNORFIMORNEEFRIZD
WTDT T 74 NVREBERINET, T 74 bTI, R BEHAEHKSOMICE b RESI N, BN
10 ETVOBBEARRINE T, LNETIV (REGETIVEEROET) OFS L C#EEGEHGHE,
MFMMREETY V27 4720 ((ERA TV arv) 270) TRRTLHRH) FETHEESINE
ER

[ZRDETIN VAT L) HEICIISFEABEENH D 9, ZOBEZEMZITAICE, La—T7—HOD
BERDETIN VATL T T72XTINI) I UTCHEEZT T4 702 LET, ZoHITIE,. REEER
DIFV AT LNDTRTDORVEOEFEEZFERT DI TT, HEXH AT, TUToMGzZ@EHARR] K
oy 77X s [TRTORAN]| 2#NLET,

Interactive Qutput - Overall Model System E"E‘@
FEile  Edit View Help
Highlight relations for: fp&jlns.éhes '1 5 : to f erie: Hide links with significance value greater than:
1| 1 i
Overall Model System ¥ |Model Fit Statistics | Series with Outliers
Fit Statistics for All Models
Model Quality
Model for Target RMSE RMSPE AIC BIC RSquare
KPI_16 299.22 015 1,242.26 1,311.76 083
KPI_5 97.58 0.27 1,002.48 1,071.98 082
KPI_23 1890.33 033 114544 1,214.94 081
KPI_3 326.16 016 1,260.71 1,330.21 074
KPI_1 0.22 0.20 -301.69 -232.20 078
KPI_11 0.01 016 | -1,013.54 -G44.04 078
KPI_4 0.00 014 | -112396 | -1,054.46 0.75
KPI_7 467035 015 1,830.30 1,899.79 073
KPI_10 0.00 012 |-1181.04 | -111154 071
KPI_6 437.67 012 1,323.65 1,393.14 0.55
KPI_2 303.36 011 1,245 131470 052
KPI_13 311.23 012 1,250.69 1,32018 0.51
2| | KPI_19 2,128,596.53 018 314040 3,209.90 047
i KPI_25 1493 012 600.80 670.29 0.47
KPI_21 0.03 014 -738.06 -668.56 0.46
KPI_18 139,844.45 012 2,557.75 2627.24 0.46
KPI_14 25615 012 1,200.01 1,278.50 045
KPI_12 B61.44 014 141202 1,481.51 045
! KPI_15 261.41 012 1,213.36 1,282.85 0.43
S = KPI_24 1352 013 579.52 649.01 042
e KPI_9 13.24 012 57495 644.44 oM
3 ' KPI_20 19.412.41 014 213518 220467 041
o - > e B KP1_22 0.03 014 -718.20 -648.70 037
& s‘-“ff @ \E “.:«’ KPI_17 01§ 015 -383.19 -313.70 037
x ] ! KPI_8 013 0.11 -407.40 -337.91 0.37
RMSE = Root Mean Squared Error, RMSPE = Root Mean Squared Percent Error, AIG
= Akaike Information Griterion, BIG = Bayesian Information Criterion
1 4

X 402. £EDETI VAT A, TRTORYVDOFR

WEDWHREZFDANIERTE2TRNTOMIZIE, BUEMEHINTEY, BMOEMIZIAILSZTDA
FONGEEIBLTWET, A, Lever3 1% KPIL19 D AT,

BARDO KRS IINRERDOERERZRLTED, SIPRKWVIFEEREEOL D SWEKREERLET, 77401
kT, AREMERMED 0.05 &0 KEWREBERIFFRRIZZ>TOVET, 005 LV TIE, Leverl,
Lever3, Leverd, 3 X UF Lever5 D AN EHEHEMIAMIEIE 7 + — )V N ARARNEBEBEELTVET, A
BKEDO LU SWMEZZEETLI21E, IR2BAAREMEROEZEDY V7 2FEFRIZTE] &W0nd I
D7 14— RIZflExE ASILET,

29 % YRR ANy JHOREEBOME (TCM) 353



Lever 7 4 —)U N & EHEEREUMIEE 7 « — )L FOBOREEBZMET A2 Z & ITMA T, ZO0H T,
EEMEMIEE Y « —)L oG BRI T wET, MZIE, KPLI10 7 KPL2 ODETILDOASIE
LCERINTVWET,

Pa—%2740R) V7 LT, B—DORFOEBOAEZFRTEET, HlAIE. KPL19 IZ2WTOREGRED
AEFRRTHIZIE, KPL19 DIRLVEIZVY L, 27V 27 LT IRIIOBEBGEZRFARR] 22N £
j_o

Interactive Qutput - Overall Model System EE@

File Edit View Help

Highlight relations for: |Single series - ; Series name: |KPI_19 ~ | Hide links with significance value greater than

1 It
Overall Mode| System || Model Fil Satstics | Serles with Outers
Fit Statistics for Models Associated with KP1_19
Model Quality
Mode! for Target RMSE RMSPE | AIC | BIC | RSquare
g KPI_19 2,126,506.53 018 [3140.40 | 3,20090 | 0.47

\ff: RMSE = Root Mean Squared Error, RMSPE = Root Mean Squared Percent Error,

AIC = Akaike Information Criterion, BIC = Bayesian Information Criterion
s
&

KPI_18

s s

L 1m

403. 2KODETIN VAT A, B—RFDFR

IOV a—IZl. BEMEEMD 005 BLTD KPL19 "D AHNDBERINTVET, 512, 005 A=K
HECIX, KPI19 7Y KPL 18 BLW KPL7 MDA UCTEREINZZ L HERRINTVET,

BIRINEZRFINZOWTOBEBROERIZIMA T, TOHNEHIZIZ, RFANZOWTHRE I NZTRTOHAN
EIZET 2R EENTVET, MEZRORS 27220y 7 UET,

Series with Outliers for KPI_19

Saries Time Qhserved Value
KPI_158 | 2008-10-12 7,358,201 .68
2008-04-05 210E+007
2010-09-15 6,492 157 .97

404. KPI_19 DANE

KPI_19 (2 LT 3 DOANEPRHENT VXS, MH T NABRATATE XN S HFNKEE TV
VAT LMEONTZZ LIZE D SMVEDKRITE D b T 5ITRITHEA T, REDAUBEDIERIA & 75 - 7= e
Wb @RI EHRTZZENTEET, ZOXA TOHNIE SAVEORARRR T L Eh, Z0
T—A AXT 4 DEfED MYy 7 THIAL T,
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HEH

WEBEMEPERTAZLI2ED., BEDORIEETEZIRTOBEGBROEER 2 —2 85 N TEXT,
[RIRKDETFIN YAFAL] 57T KPLI) D5~")VE 2V 2L, 52V v 2 LT [EKOER] %
EIRL X7,

Interactive Qutput - Impact Diéglam
File  Edit View Help
E] Series ofinterest: |KPI_19 b | Show: Eﬁectsofsen"| MNumber of levels to display:

Impact Diagram

405. R DOEEX

BRDETIN VAT LADPSEEXDPMERIND L, ZOHIZRETEE D, BANER U 2RI & b pe
EZIIERIIDFRINET, T 74N MTIK, HERIZIE 3 VRVORPERINET, 551 LV
BHRDORINDOAL D T, LAVABET T LI, WERNO & D EEZNEHRDRENET, [FRT
LUV DIEZZEETHI LT, ZRTIMERDOLVNVEREBETEET, ZOFIOREXTIE,

KPI_ 19 »% KPI_ 18 & KPL 7 Wi/iDEHED AN TH B Z LRI N, X 5IZRS] KPL7 ~OFHEZ@EL T
D ZINHENZHE L TWAZ EDWRINTVWET, BROETIV VAT LA EFEBKIZ, SROKIA
REBEBROAEREMEEZRLTVET,

HEMDK ) — NIZRRINTVWE Y T 71k, #CHOK TRICB I 2BERFORED L+1 AL TR
TOFHEZRLTCVWET, TZIT, L Z{EETNVZEEFNTWE I 7HIEIORTY, 2o DIEDFEM
RiRH 7o 72335120k, B#E ) —RK%2 1 7Yy o2 L0FT,

29 % EYRA ANy JHOREEBOME (TCM) 355



J=REXTNVZ )y IF5 e, TOBERIINPTERGE UTHEI N, ZTORINTED N THEMAH
ERENET, THRORS] Ry 7 2RI EZIFEL T, HONERINZERNT LI TEXT,

FEMIZIE, NERINTHEE 52D R2FRTEHILHTEET, ZNoDRIIFFEA LIFEh
T, KPIL19 IZBEEATVWERINEZFRTHITIE, [RR] Fay T7ExT s TRIAIDKERE] %EHR
L/ibé—o

@ Interactive ﬁut.pu{- ]mpact D-i:églam ..
File  Edit View Help
@ Series of interest: |KPI_19 X ‘ Show: |Caus_e_s ofse. ¥ | Mumber of levels to display:

Impact Diagram

AP IER

406. JFIHDFEX

ZOYa—IZik, KPL19 DEFIVIZIX 4 DDANDD Y, Leverd Wb AR KPI_19 & OKNEBEBRH
HEZEDWRINTVWET, 51T, KPL7 & KPL17 (/3288280 T KPL19 IZEHEMIZHER
HEZTWARINHRINTVET, IRICELUTHPL LAV T 2RO T > 7 F A EKIC H 8
INFET, ALEIIT, [RRTEIVNVE ODEELEETLI LT, ZRTIFEKDO LV RV ZERTE £
ER
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ANIEDRERE DHI5!

REERRET IV YATLREFoND &, SAUEDOMTI L D & X S5ITBICHEA T, BEDHAIUEDFEK &
o BB R EWRIIZ TSI ENTEET, 2o 7o RiE, ANEDRAJ KT & 09X

e RINTEACERT ZMENH D T, A TIE. KEWERRET NV YATLE, ZOYV AT LEER
TEOIEHINZT —XBBEIZRD T, UFROHITIE, 72747 T—KEYy M, TNV VA
T LEMERT DI EINT—XTT,

AAUEDIRARK M 2 FA7 3 2121d. U TFOFIHZETFLET,

1. TCMJ X1 7ua s T MEEA 7> av] 27280, TTEHEOER] VAT [RRT 525
#7Vw o LET,

' W TCM == ﬁ
o

Fields Data Specifications Build Options  Model Options Annotations

Select an item:

Ceneral Dizplay targets associated with best-fitting models

; : @ Fixed number of targets
Series to Display

Cutput Options MNumber: E

ESRECROIE Evas ©) Percentage of total number of targets

Goodness of fit measure: |R square ..

Specify Individual Series

Fields: Fields to Display:
Sort: |Nune A | & KPI_19

& KPL11

.
e E :

& KP4

& KPIL15
Y

[ Ok ][h Rgn][ Cancel] [ Apply ][ Eeset]

407. WK E TV DERRT % R7]

2. KPI19 % [&RRTBH74—IV K] VRAMIBEIL XTI,

%29 B EYVAA AN v HNOREEFROWKRE (TCM) 357



3. [AFvayv) 270 INMEADER ] VAT HAOATvayv] 229y 2 L0FT,

[ Tom =

¢

Fields Data Specifications Build Options | jodel Options ' Annotations

Select an item:

General Output for targets
Series to Display [ Overall model system [7] Series plot
Oulput Opions [7] Residuals plot
Estimation Period [] Model fit statistics and outliers [] Top Inputs
[] Model effects and model parameters [T Eorecasttable
[ Impact diagram
- =
Output for series
[] Same as for targets
[T] Overall model system [ Series plot
7] Residuals plot
[T] Model fit statistics and outliers [] Top Inputs
[] Model effects and model parameters [ Eorecast table
[T] Impact diagram
- =
[ Outlier root cause analysis
Output: |Interactive outliers table and chart ~ | CausalLevels: | 3/
Model fit Il model i
Gl [ Qutliers over time
7] R sguare [ BIC [ series transformations
[7] Root mean square percentage error ~ [_] AIC
[ Root mean square error

(o6 ] (b ) (omny

& 408. KSR EETNVOHE A TV a v

4. [2EDETN YATL] . TRHEOBELEL) . R2 F| . BLO [RIIOE ] Z#RHEERL
=

5. MUEDIRAREK M) 2#RU, THh) & TRERBRL NV OREFESE 2R L 7,
6. [FE71 22V v I LET,

7. Ya—7—7T KPL19 ODNIUEDIRARIRHANDN T Z 72X TN2 ) w2 LTT T4 7 LET,
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Interactive Output - Outlier Root Cause Analysis E@@

File Edit View Help

Outlier Root Cause Analysis for KPI_19

[u]=] - T
20080101  2008-01-01  2010-01-01 20110101
Time

Outliers

Time Observed Value | Predicted Value | Outlier Probability | Root Causes
2008-10-12 7,358,201 .68 1.20E+007 0.97 [ Mone found
2009-04-05 2.10E+007 1.66E+007 0.96 [ Lever3
2010-09-19 6,402 167.97 1.07E+007 095 | KPI_1§

%] 409. KPI_19 DANAEDIR AR K53 Hr

DT OFERD TAANE] RICEHINTWET, ZORITIEX, 2009-04-05 & & 2010-09-19 DANfEIZD
WTIFRARE DR D5 7255, 2008-10-12 DANEIZ DWW TIEFMAFRRER R DN 5800 o2 Z LRI

NTVWET, Ml Koz 2y o958, MARKRIINDASAVERHFZRINET (2 TlE

2009-04-05 DA NfEZE KIR), DT 7Y a &b, KR T 7 TEBRU ZANEISEFIR RSN E
T, BRI 77 CEHENANEDT A2V %221) v 7 LT, ZTOHEDIEARFRRIIAND /S & iEFHR R
THILETEET,

2009-04-05 DANMEDIGE . BARKKFIEX Leverd TS, XA 72 7 LIZIE. Lever3 #° KPI 19 ~DEHED
ANTHBEZEWRINTVWETH, FRFIZZ A, KPL19 122 %2 5 2 M0 RF~DORh R %8 U TR
BEIZE KPL19 (W EBR2EZTWAZ b RINTVWET, HMVEDOHEAF RSN OREKATRE $S A —
2D 1 2%, BARKZRZTLEEBEBRL RLOKTT, T74L TR, 3 LRPKREENET,
WARRKRRIOFEEIL, RATHEEINZRRBERBRLARVETERKRINET, ZOHTIX. Lever3 1. %
1 RERERL AV EH 3 REBERL NVOM G THEL TVWET,

AIEIZ N T BRHR R ENZRNARNDE ) — NIiZZ 77 708E5FNTE D, ZORBOFEMIZZFD ) — K
MIELEZLNRITHRELE T, 8 1 REBRLLVD ) — Rogs, @FiE T-1 25 T-L °¢, 22
T, T BHANERRELZBETHD, L IEETILVICEENE S V0K TT, 4 2 FEBKL L
D/ — ROEE, #iFHIE T2 26 T-L-1 £7220, & 3 LUV T, fPHlE T3 226 T-L-2 &80 %
T, NS DEOFMERS ST 7 2EG T 5120, BE/ —F%2 1 @2 )y o2 LET,
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F ) FDET

KRR ET IV AT LRRONG L, -V —ERYFVAZEGTTEET, YT U A & FRS
OV—FRH EIFEND) &, FRE U LILIHEAICES ZDORIIOI—F —ERED Y M Lo TERZ
NET, FHELULERZ V- RINDOHEZZ I LRRIIOFHE LRSS0 fHINET, DT
F REWERET IV Y2788, ZOVAT LT 57-OICHHINT —XPREIZRD £7,
UFROHITIE, 72747 7=y bW, ETN YATLEERT 272D FHINZT—XTT,

YFUAEFEGTTEHITIE. UTFOFIEZETLET,
1. TCM HAORA7a s T, [V FVAG] REXvE27V v LET,
2. TKEMERREETLVOYF VA X470 T, [VFIAHBOER] 227V v o LET,

-

*

l\-j Scenario Period @
Model Sy=tem Estimation Period
Date |
Start 2008-09-07
End 2010-10-24

Time interval: Weeks

Time Period for Scenarios

(Z) Specify by start, end and predict through times

Date
Start of scenario values yyyy-Mi-dd
End of scenario values yyyy-Mi-dd
Predict through yyyy-Mi-dd

(@ Specify by time intervals relative to end of estimation period

Starting interval of scenario values:
Ending interval of scenario values: I:I
[ ]

Intervals to predict past end of scenario values: E

.+ The end ofthe estimation period is time interval 0. Time intervals prior to the end of the
estimation period have negative values and intervals after the end ofthe estimation period

have positive values.

S

[Continue][ Cancel ][ [ ) Help]

410. ¥ V) A I

3. Mo E) 5> OREX O THEE] 2ERLET,
4. FAtBRIBEIC -3 2 AL, KRTRIEIC 0 ZA I LET,
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COREIED, AV A HEMEORED 4 DOBBK RS i fiicE5< 2 L i
EEINET, ZOPDBA, RO 4 DOMMKS X ERED 4 WO L TT, YU AL
SR, ¥ ) A LIREnET,

5. YFUAEOKT 2HMATTNTMBIHLT 4 EAHLET,
COREE, YY) AWEOK TGO 4 D5 ORI LT TR E RT3 & AL X
7,

6. [#if7] 22V v 27 L%9,

7. TYFUA] 270 93V AOBI £22) v 2 LET,
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\) Scenario Definition IEI

Root and Target Fields

Fields: . Root field:

Sort: |None - |E 14 a |$ Lever2

@& kP18 -

@ & KPI_19 [C] Specify affected targets
@ kP
@y KPI 16 .i‘ By default, affected targets up to the currently defined
@y KF'I_2 X maximum of 25 are automatically determined.

@& kP17
%§ EE:_; Affected targets:
@ KF'I:Q
@ ¢ KPL3
© & kpi_4
@ KPS
@« KPLG -
@ & KPI_22
@ & KPI_21

@ & wpl on

&

[

Scenario Definition

Scenario ID: | Lever3_25pct

4
'j_ Scenario values are applied to the data used for modeling, after any aggregation or distribution of the original data.

© Specify Scenario values for root field

Interval Date Scenariovalue  [Rootfield value
-3 2010-10-03 =Read=
-2 2010-10-10 =Read=
-1 2010-10-17 =Read=
0 2010-10-24 =Read=

* Forecasted value

@ Specify expression for scenario values for root field

Expression: |Lever3*1.25

(continue ) | cancel |(_ Apply | @ Help |

411. ¥ F V) AEH

8.

10.

11.

362

Lever3 % [)V— K 74—V R| Ry 7 AIZBEL T, ¥F VU AMED Leverd I1ZHHE X N7 MED,
Lever3 (2 & O NRMN 2 ER2Z 1T H5MORIDFRNZED X S ITHET L0 % ﬂmiﬁo

¥ Y% ID] 2 Lever3 25pct & AN L X9,

b—=F 74—V FDOYF ) AEOXEZRE] Z2ERL, RN Lever3*1.25 & AN UL X,

DFRE L, /%Uﬁ%ﬁ@[@ﬂS@f%ﬁﬂ1i@%2%®k%<?% LEREELEYT, LhE
%aﬁ® Soik, BESRT MOV E Yy 2 LT TREILE—] 2iHTE X7,

Moefs] 220 v 2 LET,
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12. 2797 10 75 14 #80ELT, b—k 74— KA Leverd, ©F Y4 ID A Lever3 50pct.
A Lever3*1.5 DV FVAEZEHLF T,

0 Temporal Causal Model Scenarios

Scenario Period

\__I - The time period over which scenarios are carried out must be defined before scenarios can be created.

Define Scenario Period

Scenarios:
Scenario ID Rootfield Scenario values | x,
Lever3_Z25pct Lever3 Leverd*1.25
Lever3_50pct Lever3 Lever3*1.5 %

Im
£

[ Run H Reset ][Cancei] @ Help

412. ¥ F VA
13. [ATvav] 27%22Vv oL, ZEEZITIINROHERLVLELT 2 EANLET,

14. (%7 22Uy 2 L%9,
15. ¥ a2—7—T Lever3_50pct DFEREX TN ) v LT, 7274 71CLFT,
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s

Interactive Qutput - Scenario Analysis EI .

File

Edit View Help

Impact Diagram for Scenario: Lever3_50pct

i

Forecasted Values;;sceﬂa,-io_ﬁem |

Forecasted Values for Scenario Lewver3_50pct =
Series 2010-10-10 | 2010-10-17 | 2010-10-24 | 2010-10-31 2010-11-07 2010-11-14 2010-11-21
KPI_6 2,863.21 3,615.99 3,907.76 3,234.31 2,617.06 2,802.20
KPI_5 180.83 167.98 351.28 2985.07 173.31 276.29 442 68
KPI_11 0.04 0.04 0.03 0.05 0.04 0.04
KPI_19 1.16E+007 1.34E+007 1.41E+007 1.43E+007 1.44E+007 1.22E+007 1.43E+007
KPI_1 0.44 0.66 0.78 0.86 0.87 0.83
KPI_15 234483 1,650.98 2,031.42 1,846.30 1,761.74 1,692.52 1,736.83
KPI_7 45 471.10 34,211.70 36,880.87 35546.03 32,341.09 29,899.71

KPI_9 88.26 112.99 99.50 9216 102.76 90.85 105.39 —

413. ¥ 5V 7 Lever3_50pct DX

16.

364

WBMIZIX, V— FRY] Lever3 12X VB AE2Z I ERMMBERREINET, BELZZIIINLDOHEAL
NJUIZ 2 REEELERED., 2 LRLVORIERNRINTWET,

FHEN/AEDRITIE, Lever3 [T X D EEZIT LT RTORINDO TN, KT 2 LNLORRF
TRINTWVET, B 1 LVIROMNERINIKT 2 Filllik, > 7V A HRBERE OB OBk 12
BEVET, ZOHITIK, B 1 LVORERINIHT 2 FHIE 2010-10-10 (I N TWE T,

B2 LARVIRONRRINIS T 5 FHNE, ¥V ARG ED 2 BHOMMICHBE £, Z
DOHITIE, 2 2 LNV OXERRININT 2 FHIIE 2010-10-17 (BB I TWET, FHIBEVEND
WIZZR > TVWB DI, KERINETIVHENTZANEIZHEDOVT WD ZEAKMEINT NSO TT,

KPI5 O/ —=F%&27Vy27ULT, My =7 AREERL T,
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Interactive Cutput - Sequence Diagram @

Eile Edit Help

== Observed
# Original forecast
» Scenario

450 -
400 =
350
300-

fl 250 -

[

200 /,_\__

180~

K

100
50—

0= | 1 | I I | 1 |
2010-10-03 2010-10-10 2010-10-17 2010-10-24 2010-10-31 2010-11-07 2010-11-14 2010-11-21 2010-11-28
Time

414. KPI.5 ¥ —7r v A

ZOY—=T VA 7373 F)APSOFHEIRINTED, IV FI)ANFEELRVES
DRINDIES FRINTWET, ¥ ) AMEICHE A O AE N TW LG4, RO

EPFREINE T, HEHHBIOK 7 UBEOIFFIZ DOWTIEE, O FHNERINET,

H 29 T EYRZ A MYy ZHNORREHKROME (TCM)
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EEER

ARZEIIKE IBM PR TAHEB LY =V 2AIZOVWTER LS DOTT, ZOEEIE. IBM 7 5o
EETHERMINT VARV E T, 2L, Tz ATT3I2, AR TN EE RS 2
FIE L TCWABRERDHDIGELRDHD T,

AREIZHHOHG, —E A, FHEREEPHAIZEVWTIHEH#SINTVARWEGEERH D £, HATHHA
AlRE ARG, Y —E A, BIXTERIZOWTIX, HA IBM OEEENSEIZEFRLZIW, AEFT IBM
B, AT L FEEY-CRCERLTVWTH, T IBM 8, JTur I A £-EV—EADA
WEHAABETHE I 2ERTEIEDOTIEHH Y EFEA, ZNSITARZT, IBM ORINFIAHEEZIREST S Z
EDIN, BEEEMIZAE OB, Ta s I A, £V - ARHHTLIIENTEEXT, 2L, IBM
DA DEG Y T 7T LAOEEF 7213 — C AOFHI B L OMGEIX, BEROBLTIioTWiZZEET,

IBM &, AEICHHEINTWAIARICEL CREE EFEBETPOHD2E8) 2B L TWAEERH
DET, AEORMIL, BEHRIZINS ORI ODWTHEELZ LA T AL 2E®KT2H5DTIEHD £
HhA, EfHECOVWTOBMWELEIX, EBMICTRRMEEIIEE I,

T103-8510

UL e X H ARG A IR 1976215
HAT A - ©— - = AR
EH - W RE

WM PEME 5 1 2 > A PH

IBM 8L UOZDOEEE - IXHEDO F2thid, AFEZREYME UTHET 2 £ FORETREEL., AR
REE. € HAE A MEDLRIES & OEA EOBHAZREL 2 50T R TCOFRS U IFBUROMRGEEMT 2 A
LREVWEDEUET, HEIFHIBRIZ &> TE, EHROBITHEIZE Y. RIEELOHIRIEL S b
&, WITHEDHIRZZIF2EDE LET,

Z DRI IE, B A 23l d P E2 G0 HARH 0 £, ABREHMICAREI N, BPELEH
WEAZEDRUIHARENE T, IBM X FERLIZ, BEF, ZoXBIZEHEIN TV IHFEEZIEI T s
FLZHUT, MEFFREFEZITSZRHD ET,

AREIZBWT IBM UAD Web 1 MZEKRLUTWAIEERH D FTH, EHOLZOLHLZEZITTH
D, HLUTEFNSD Web ¥ 1 b2HRETEIEDOTIEHDD THA, THH5D Web V1 MZhBERNL.
ZD IBM #HFOEBO—ITIEH D EFHA, TNSHD Web V1 ME, BEMOBETIMHHEALZEI W,

IBM i, BEEPRET IV ERE. BERICHTLUTRASEEDAS Z LD\, HoHE & {E
TBHHET, B ULEMRTAIENTELEDELET,

ARTOT T LDTA 2y AMERH T, () MAKER LT 70200 7Ta s 76 (K7a 277 L
2ED) LORITOEHREH, BL (i) KBS N-EROMEMMHZREICT S22 2HKE LT, A
Tu7 I LAY A EREBEE TS AHIE, FRIGEK LT ZIW,
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A7 Y7 MMZBT 5 LElOEHRIE, BEYRHHREO N THAT L ZeATE LD, AHOGALH D
E S

ARETHHAINTVWE T4 VR - a7 0F - EToMDT 1w A&RIE, IBM Fii@D 707 5 A
L DOEHIZIE, IBM 70275 L0 THASGME,. £23Fn e FAEOLEIZEOWNT, IBM kit h
7,

I NTVWEMRET — & & BRI, fle U TRTHITOAREINTWET, FEEROMRIZRE
DREPHBSMAIZ L > TRBRD £,

IBM DA OBGHIZE T 2 EHIE. 20" OMGHE. Bk, B U IZZOMDO AR HTRERY — A0
SAFLEZHDTT, IBM X, TNS5DEFDTFANMIT-TEY VA, LW ->T, kB Iz
LETM. B, £23Z0OMOERIZOVWTIHEIETCE EFE A, IBM M OBFOMREICE T 2 EM
k. T o OB OMEEFICBRENL £T,

IBM DIFRD S FMES K CHREHIB T 5lik 13, PEHBRCALEXLZMEI TN 25808H0 £9, 0o
BREESLOHMZRRT2HDIZTEEEA,

AEIZIK, HEOEBUWHETHVWONE T —XPWEZOHREETNTVET, LV EKREE25257-D
Iz, Fhooflizid, A, £, 75V F. DAVEES LR EDLTBREENTVWAGEERHLET, &
NEDEFTTARTHEEDOLDTH Y, LT HHEAPEENELEL TS ELTH, THIMERIZTEE
A,

R

IBM, IBM 0I5 XU ibm.com (&, D% < DETEHKI N7 International Business Machines
Corporation DFFETT, MOBEHB LI - ALEFLZ, TNTh IBM B3 EHEOEETH25E
NHo T, BRFSTO IBM OFEIEY A MZDWTIX, |http://www.ibm.com/legal /copytrade.shtml| %
TELTZZ W,

Adobe, Adobe H I PostScript, PostScript B J'l&, Adobe Systems Incorporated DK[E¥ & U % DAt
DENZ B B ok £ 72 13T,

A > 7). Intel. Intel 1@ I, Intel Inside. Intel Inside © I, Centrino. Intel Centrino 1 I
Celeron, Xeon. Intel SpeedStep. Itanium, ¥ &' Pentium Id. Intel Corporation ¥ 7zid1-2xtLDKE
B L0 OMOEIZE T 2B E 7 IZERREE TS,

Linux (. Linus Torvalds OXEE X ZDMOEIZE ) 5 EEpEIETT,

Microsoft, Windows, Windows NT ¥ &' Windows B Ti%, Microsoft Corporation DX[EH &%
DMDENZ B 5 BEEE TS,

UNIX (% The Open Group DK[EE kO DMDEIZ BT 2 EFkpGIETT,

Java BE P TARTOD Java BEDEES L 0'a T1X Oracle % DR#E &M DOKES L OZFDMDOEIZE
B EEE 2 I3 RREE T,

HRERICET B ITFERAZE
INSDOERNZ, T CHASGLHEIZRAZEL TWEEITBESIZRY ZHWAZT £,
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FHMHHBEMICRDE-T LN TEET, 727720, IBM OHRAZAFEZZTIZ, THOoDERF7-
W2 D—BIZDONWT, ZIRINEEYZER L0, B A, #MEE2ED) £2E3ERR (EBE2ED) T
L3 TEERA.

[SES:NEDE

IhoDERNE, TRTOEEMRRZDMOFIEHERREZ UTW7ZL 2 2RM12, BEKROBENIC
Ry, #H, B, BIORRTEZZIENTEET, 277U, IBM OHRAZARZ ZTI2ZN 5 DER
DRINBEY 2 ER L7120, BEROBENTER - IZT0—#2EH, i, £-3RETEHI LT
TEEHA,

1R

I THIRIIZHA TN T WD HDLSMI, ERIPERNIZEENHHR, T—&%, VY 7bvzT, $kiF
ZDOMOHMFTEHEIZN T 5 WP REFH, T4 VA, I3 HNZ RIS EBRIZEMN5T2H0D
TlEdHH THA,

BRI D IBM ORZEEER D LI N-5E8%. EROEEPEYITF SN TWiWw S -
BE. IBM WO OTEHEHSDOHENIZE D, ZZTCE5EAHFTE2MREITCE 2D IETWEEEET,

BEMRPZOFREZ XY v uo— R, @t 723 EmE T 58I RKEO TR Tom A BEERE &
O, IRTOREEERZETTH5DE LET,

IBM i, ZhoDERNOHRFIZOWTWAREEIDLETA, ZNS5D0ERIZ, HEWE LTHET S

TEORECRME N, FERIEDOMREE, FEHREATEDOMRGES & OEA LOBYHAETZ2 50T TO
RS U IBRROMGREEMER U TR T,
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[7717]
TAaY
F TV a3 v DERE 20
TV —va ol 3
—EF s L2 rY— 11
— bR E v
F L ZNAMGE 275
BE TR E 269, 280, 285
WAEE 275, 279
NI A=K —HEFEAE 253, 263, 276,
285
A7V VAR 271
ETIVEIROME 251, 262, 276
FIRI 22
ARNU—L4 20
AVRIO2F 47+ UAN - Ea—7—
7TV —arof 110
fEZ 110
Flba— - AV 110
HH810 r—2
Cox [l 303
T =N AME
— LRI E 7L 275
Cox [A])w 305

[H1T
i
IBM SPSS Modeler 7
273 —ERD - R
Cox [Alw 304
BRI D EAR 229
AEET 74N ) —K 77
7 v = [al
— s £ 5L 281
B ON B |
Cox [l 307
YvEbD 17
K BY 0 £FTF— &
— iR ELE L 247
79 A 16
757 /)—F 84
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—fAbiRE T TV 247

&7

HIRISHT 243
INGEZED T 225
avv R -1
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& fiE

FIR A 242

,—
(51T
H— =
P —/N—D COP DIFE 10
Bt oM 9
as4 8
w/ME 19
P14 XDZEHE 19
S
FTavVary - YUAL - EFI 110
RIS E TV
F—A ART 4 349
Fa—hrUTI 349
REILEX— 85
Ho¥geEET IV - /=R
77V — a3 rOf 193
A MY — LREFEOH 194
A bV —LDOREE 194
ETFIVDBIR 198
A ARER
F4vVar-UAb - EFIL 110
FEirE Ik 17
FEHil
TTV r—vay 14K 3
B 4
EECHYi5
IV TFHT =R 93
HiJ1 15
#Efif 85
Ya—bAv b
F—HR—F 20
VTN YA AT 8
A=k 17
2297 N 22
ATy T4 Xk
IR 241
Cox [l 305
ANU—L 7,13
ek 77
Yo — D% 20
AN —ADE a2 —~DHE 20
EgEhZzET IV - XLy b 15

A A7 iR

Cox [l 308
KEEAH, — R 91
AV

A3AT7 VTS O 110
FevYar - -YAb-EFIL 110
Bt
P—N— " 75 AR~ (server
cluster) 10
IBM SPSS Analytic Server ~® 10
IBM SPSS Modeler Server ~\® 8, 9,
10
EifiD COP DM 10
V=R /=K 77

,—
(51T
W —bN— 17
F—X
e 85
FR 80
E5)L 88, 90, 91
BAELD 77
F—790 -/ —FK 80
{EHER DR
F4vVar-UA - EFIL 110
Fa4vVarv - YAr /=R
7TV —a ol 107
Fa4vVar YA ETIL
7TV —a ol 107
R 131
v ¥ a VEHRORG 131
Excel 7V 7L —FNDZHE 129
Excel & Dt 123
Excel ZfHH L7727 A X LF6FE 123
HEE
— LA T L 275, 279
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IBM SPSS Analytic Server 10
R XA »% (Windows)
IBM SPSS Modeler Server 8
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FavYar YA ETIL 110
IR
IBM SPSS Modeler TOD{#if 20
RUADHFRKR v
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A7V == 93

53K FHEIR 93
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HA A HT 235

RA X+ 3w N7 —2 205, 213
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XFH DX ORE 101

KNN 339

SVM 287

C

CLEM
BEZE 22
Coordinator of Processes 10
COP 10
copy 17
Cox [A]Y
5807 —= 303
AT 3 =D a— Rk 304
EAFRER 308
N — Rl 308
RO 305
CRISP-DM 16

D

Decision List Viewer 110
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Excel
F4vVav-YAr - FUTL—h
DZEEE 129
FTavVary VA EFILEDOHE
ft 123

IBM SPSS Analytic Server
e 10
B O 10
IBM SPSS Modeler 1, 12
Wzt 7
aAvY R TS DET 8
FZUoHIZ 7
X&E 3
IBM SPSS Modeler Server 2
R XA % (Windows) 8
R—hr%S 8,9
AR A N4 (host name) 8, 9
a—#— 1D 8
password 8
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