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stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)
stream.linkBetween(appliernode, typenode, analysisnode)
analysisnode.run([])
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taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/18.1.1/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now load the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
model = taskrunner.openModelFromFile("rule.gm", True)

modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType("derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect (plotnode)
modeTlapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.1linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.run([])
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stream = modeler.script.session().createProcessorStream("featureselection", True)

statisticsimportnode = stream.createAt("statisticsimport”, "Statistics File", 150, 97)
statisticsimportnode.setPropertyValue("full filename", "$CLEO DEMOS/customer dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response 01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature Selection", 366, 97)
featureselectionnode.setPropertyValue("top_n", 15)
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featureselectionnode.setPropertyValue("max_missing values", 80.0)
featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important Tabel", "Check Me OQut!")
featureselectionnode.setPropertyValue("criteria”, "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream
applynode = stream.findByType("applyfeatureselection”, None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96,
applynode.getYPosition())

stream.link(applynode, tablenode)

tablenode.run([])
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execute 'Set Globals'
execute 'gains'

execute 'profit'
execute 'age v. $CC-pep'
execute 'Table'

=HE FHa o =2 oAl

CHE doiME +HEEE O H3 Mg + A= YHE EQFELILL

stream = modeler.script.stream()
superNode=stream. findByID('id854RNTSD5MB")
# unlock one super node
print 'unlock the super node with password abcd'
if superNode.unlock('abcd'):

print 'unlocked.
else:

print 'invalid password.
# lock one super node
print 'lock the super node with password abcd'
superNode.lock('abcd")
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"This is a string"
'This is also a string'
"It's a string"

'This book is called "Python Scripting and Automation Guide".

"This is an escape quote (\") in a quoted string"

Joz JAREE= OHE ZXEE2 Python 72 247[0 o3 XAis2=z= HAELICL o|A2 71 EXt

IS YHstn A EXEUAN Q8 RYS =Totv7t Al ELICE olE &0,

"This string uses ' and " 'that string uses ".'

0| Z1t= Lt &#HO| FLCh

This string uses ' and that string uses ".

EXE2 o JHX| f8%t HAEE X[ALLICL O|F HAES LIt Ctg HOIM HMIELICEH

6. EXIE A

L[ES A2

s.capitalize() sE NS HEXIZE BHSLCH

s.count(ss {,start {,end}}) s[start:end]0IM ssQ &AM S AHTLICE

s.startswith(str {, start {, end}}) s7t str2 A|ZSH=X| {8 E HA™LICE
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s.rindex(str {, start {, end}}) 7F SHMSILICE prindex= QEZO|M 2AZo=z ZHMsiL|CE

s.isalnum ZXAE0| FxXIRIX| R E 7.:17‘3@”4':?.

s.isalpha ZXIE0| Ymsielx| offE A™BLICE

s.isnum ZAE0| =XelX| 2 E AFYLIC

s.1isupper EAE0| ZE EXRIX| EE AN™TLICE

s.islower ZAE0| B ARXRIX| RS HATLICH

s.isspace ZXIE0| BF SHQIX| 6FEE HAEYLICL

s.istitle EXAE0| £7| A X EXE AFAQIX| EE HEEL
Ch.

s.lower() 2= ABRXIZ Het

s.upper() D& HEXZ HE

5 swapcasel @e gl HojA wist

) D5 XS AHOAR HE

s.join(seq) sE TE EXNE ARSI seql EXEZ2 ZAELICE

s.splitlines({keep}) sE YOE FEYBLICE keep”t true?l 2 M HE |XIY
L|C}.

s.split({sep {, max}}) sE Z|CH maxH sepE ALESIH "HHO"E ERLICHIIE sep
L d ol)
- o 10
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6. EXE HAE (AHH)

HAC ArEH
s.Tjust(width) width ZEQ| EXtEE Jt22 1% dix
5.rjust(width) width HEQ| BXtHES 7t22 Q2% o&
s.center(width) . micol o =)
o 2xj¥e 7 Jten o

SZf'I”(W'Idth) width E& | [ |'EE }EE |'|_ -” =

022 MFZLICH
s.Istrip() M ZH A
s.rstr;ip() S0| 2 HA
s.strip() M gl 200 39 AA
s.translate(str {,delc}) delcOld B2E EXE HMAHTE =, HOIEE AESI sE H

SHEFLICE str2 ZO| == 25621 EXIZ0|0{OF BfL|Ct,
s.replace(old, new {, max}) EXHE 01de| ZE E= max S22 EXE newR HHELICEH
=
=
FME MRE(EE Al B2#)0 2 =kl= dEYLICHL st HolM IRE 23 Fo| 2=
DE HAEE FMo| ABZ 7tFED FAIELICE FME2 ool HoflA ARY = JSLICE LS
ol FMo| ALBE EO{FLCH

#The HelloWorld application is one of the most simple
print 'Hello World' # print the Hello World Tine

02 7 HHR2 £ ol WM ASH 4 USLICL 0 FL CIS HolH ALY Y22 W
2HAI(\)2 ZLioF BiLICE. oIE 5%,

x = "A 100000000000000000000ng String" + \
"another 1o0000000000000000000Ng string"

TZ7F 223(()), tHEZ([]) E= SHZ({})E |O|H, BIAE2 HSEiAE Mg Ea g0 o
o & Flo A= M oM ALE & JASLICE OE =T,
x = (1, 2, 3, "hello",

"goodbye", 4, 5, 6)
SR
AlEXE He, g, S2fA ! 7|9E0 OIS XHESH= Ol AL AEX=E Aol ZolY =
UX[TE, CHEXHLE AZXS| SEALE RE EXH)E AIZGHOF SLICH BEE AEStE 0|§2 YA
O R E= VM2l OIS %loh o|efELICE R ¢ EXt =of, AEXt= dolo| =Xt & F=EXL,

o F



JythonOl= H, &4 e Z2{AQ| 0|ECE ASY = Sl= E 7HX| o|¢0o{7t JUSLICE 02

Ct2 W30l siEeL(Ct

o HHZ LAX}E: assert, break, class, continue, def, del, elif, else, except, exec, finally,
for, from, global, if, import, pass, print, raise, return, try while

B4 TAXL: as, import & in

HAAMKXE: and, in, is, Tambda, not % or

BB J|QE AFRS UHMMOZ SyntaxError?t ELICH
ac 282
IE EE2 Y HFZ0| oladEl= KoM ABSH= BEE I8/LICE ZE E82 if, elif, else,
for, while, try, except, def, class® & OtLt F0| 2 & UELICE 0|F HHAES SE 2XH)E
Ar8SHH ZE 252 TELICL oE S0,
if x == 1:

y =2

z =3
elif:

y =4

z =5
S0 MT|=(avalllM ALBSHE SE= ) ZE E52 FE26H7| i AABELICHL 252 ZE A2
Yot YXIZE SO0{MoF SL|CE o|HE SMTIQ Helyt RE S8 TEE EASH| HEALICL
CHoH &S 4719 2 SHELICH d2 SHMT| 28 BECH: WS AEY AS AL
Ch S S8 =M= of Lt 289 Jta HRZ2Z 259 d2 180l AlZieior otH, O

|

H
O™ SyntaxErrorZt SHABLICE,

ATEER Q4 MY AIZEI} £3 Qo] HIEHOZ ALY 4 USS QO[stEzZ REELICt
HHAON HHE[= Q= sys.argy S5Q| o2 MHELICH MEHE[= 2t == len(sys.argv)
HIS M8 ¥= = JUGLICH oE =0,

import sys

print "testl"

print sys.argv[0]
print sys.argv[1]
print len(sys.argv)

O M import HH2 HAH| sys SHAE I QEZE 0] ZaiA0| s =XMst= HAZ(O: argy)

£ MY #+ UASLICHL
of ool A3BEE OF &S MESH 2&5d + UASLICH
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/u/mjloos/testl mike don
2= CHE &34t RARLICE

/u/mjloos/testl mike don
testl

mi ke

don

3

ol
print 7|9 E= 1 F0f HtZ [Et= QS QUMELICE BHEO| HE 7ol 2= 32, & HHY|
7t 250 ZE[X] §ELICE HE S

print "This demonstrates the use of a",
print " comma at the end of a print statement."

for FBES AL £5S {IF5= o ME8YLILEL OE =

mylistl = ["one", "two", "three"]
for 1v in mylistl:

print Tv

continue

of oloflMd= Ml 7He| EXHEOl mylistl S=0 XFELIL. S59 2471 2 dof| 5Lt 245 «
T QIMELICE EH2 Ch3a ZEUCt

one
two
three

0| OdloflA], for 2ZI} 2 QA0 CHS TE EES A0
|

2! = = 1 stl
249 s =2 ASYLICL g=its Yol 209 RE gt AEAE + AUSLICL

if22 ZAZYLICE =HS o6t @o 20t M2t true = falseS 2|EHEYLICH OIS S0,

mylistl = ["one", "two", "three"]
for 1v in mylistl:

if Tv == "two"

print "The value of Tv is ", 1v
else

print "The value of 1v is not two, but ", lv
continue

Of ofloflM, Bt=Xt 1vel 2ol HIHELICE 1vel 20| two?l B2, 1vel 20| twoZt Of:l HL0 2
= 2AER OHE ZAME0| 2|HEL(Ct. of Zut= Chs £30| gL

—

[l
T

The value of 1v is not two, but one
The value of 1v is two
The value of 1v is not two, but three



28T HAS

math ZE0AN oA HAZ0 HMAY £ JELICE O|F HAES LRI} CZ HOM HIEL

Ct HE2 XHE X ge= ot ZE 2 FloatZ 2|HELICH

7. 98 Hat

ml 4= Ay

math.ceil(x) x2| MotE FloatEAM E2|ESt=0|, xECF IHLE 22 JHE 2
2 MLk

math.copysign(x, y) yo| B35 E Zt= xE 2|HELICE copysign(l, -0.0)2 -12
2[EHfL|C.

math. fabs (x) xo| Hoigt2 ElHBfLICt

math. factorial (x) x A& 2[HYLICE x7t S40|AHLE EIF ot 22

math.floor(x) x2| HIEYS FloatZ 2|ESh=0, O|H2 xELCt &AL Z2 7t
I 2 Lo

math. frexp(x) x| 7tem) U X[(e)E (m, e) WOE 2|HELI|CL mS Float
0|1 ex= HH0|BZ, HESHA x == m * 2xxeRLICE x7t 0
ol 22 (0.0, 0)2 2|Hstn, JHX| %O™ 0.5 <= abs(m)
< 18 2[HEL|CH

math. fsum(iterable) iterabled]| U= 2ol P 258 A4N YAE 2L
C}.

math.isinf(x) Float x7t & HEE 29| FoHCHRIX| HAFLICH

math.isnan(x) Float x7t NaN(Z=Xt7t OF=)@IX| HAFELICE

math.1dexp(x, i) x * (2++i)E 2[HPLICE 0|H2 2HAEOE frexp Y49
oelL|ct,

math.modf (x) x8| &4 8l M4 BHEZ 2[HELCH &£ Z1t BEIF x9 B
$E Zt10 Float®LICt

math.trunc(x) Integral2 Z2l Real 7t x2 2|ETLICE

math.exp(x) exxxS E|EHTILICE

math.log(x[, base]) basel| FO{TI Ztofl cHet x| CH4E 2[EELICt. baseZl X
HEX| toH xof XMAZRTTL 2[HELICH

math.1oglp(x) 1+x (base e)2| XIHZIE E|HELICL

math.10g10(x) x| ol 10Q! Ch+E 2|HTLICE

math.pow(x, y) yE HASHEs xE 2|HPLICE pow (1.0, x) 2 pow(x, 0.0)
2 x7} 00[L} NaNg MT &4 12 2|HELIC}

math.sqrt(x) xQ M&EZ2 2lEgL o)

oM ot o], H UK RE8% MY HAEIE JELICE O|F HAETL CHS O EA|ELICE

8 2 HAE

HAE A

math.acos (x) x2 Ot3 TAIRIZ 2frC|ot G2 2|EHELICE

math.asin(x) x2| O3 ArRlE 2tC|et T2 2|EHEL|Ct,

math.atan(x) x2 ot3 EtHEE ziC|ot T2 2|EHELICt

math.atan2(y, x) atan(y / x)E EIC|oF |2 2[EEL|Ct,
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8 MY Ha= S

HAE A2

math. cos (x) x9| DAIQIS BiC|Qh the|2 2|HgtL|Ct

math.hypot (x, y) QEZICIO EE sqrt(xxx + yxy)S Z|EEL|CE o]H2 2
HEH (x, y) X9 #E Zo|L|CH

math.sin(x) x| Atelg BiC|ot Chel2 2|HFL|C

math.tan(x) x2| EtHEE z2iC|ot T2 2|EHEL(CE

math.degrees (x) 2t xE 2iC|otoN T2 HBteL|Ct,

math.radians (x) ZF xE TOA 2IC|Qte 2 HetgtL|Ct,

math.acosh(x) xQ| FuZ TFARIS 2[HFL|CH

math.asinh(x) xo M= AtolZ 2|EELICH

math.atanh(x) xQ M= EtHEE Z|HgLC

math.cosh(x) x2 ¥= FAIZ 2|EHELICH

math.sinh(x) x2 ¥= TARIZ 2|HELICE

math.tanh(x) x2 ¥= EtHEE 2|HgL|C}

= ool 43 M4E YALICH math.pio] US 48 A4 piAFS)ULICH math.e0] UAS 43 4

+ eQyLCh

ASCIIZt ot EX AtE

ASCIIZt Ol 2XHE AF8St7| fI8iA Python2 RLUIZEES| EXtES| HAN QA U C|AHO|

HRYLICE IBM SPSS ModelerOlAl Python A3EEE UTF-82E QIAYE = A= JHEE =0,

02 ASCID} Ofl BXE Kot EE SUIC ABLQULCh T} AIYES Python ZIH

217t SPSS Modeler0fl 2|3 UTF-8L 2 MHE[QV]| IHE

ot EL|Ct

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T A F./— F", 96, 64)
JgiLt, At L E= SHIEX| @2 20|22 H&LICL
S84 VAFEF APV
a8 3. ASCIZt ot 2XtE Zgdh= £ 20|50| SHIEX| QA EAIE

ZAE 2[HE XHN7F Pythondl| 2|5 ASCII EXIE 2

M

—_

HSE|UT] MiZ0il 2i0]=0| SHIZX| k5L
M2 & A3EE oof 25



Python2 ZAIE 2lHZ Hof| u 22X BFE2AE 71510 FLIZE X2 2[HEO| XFEEE 3
EgCt

stream = modeler.script.stream()
filenode = stream.createAt(“"variablefile”, u"T X F./— F", 96, 64)

0|74

A

ro

FLIZE ZXES 2EotH =|0|=0| SHIZA| LIEFELIC

[~

oy
]111

FAR S
17 4. ASCIE Oftl X2 Eets =& 2fojZo| gut2H EAlE

Python 3! |RLZE AFE2 O] EAMQ HRIE HOlLl= FHYLICE Of FHE HAMSH LIR= H2

QEHE X T2y MEA Z2IHMoM e EXMFS 22 Y Jids 7|z glLrt
QEHE X|g Z2IjY2 Z2TY RFE FYUCH AL MHALES HFELICE Python2 2
BHE X/ AYLICE PythondlM HolEl= QEMEE= O 7|58 A&LILH

L
. 2t @EHEE DQdo stH 0|22 AF Jtsshor FLICE oIS 2ipt is U is not HFO|
Ct

- g8 ! ES
EreL

. ME|. 2t QEFEL MEIS KTE 4 0{0F FLICH WE I QIAHA WA 22 40| 0| B
= ?lsi Exguict

« HES. 4 QEMEE HHE Y & A0{0F LTt O[F flet HAEJF EXHELCt

PythonOl= QEHE X|ef Z22{Y X|HS fIet TS 7150 ZeE[of ASLIC

« 22 I8t QEAE Y, A= QEME S 9Pt HEZEQYLICH QEMES AREl A
S= A= HolE FZYLIC

« OHEEE d= &4, Python2 HE 8 OF d4S XEFYLIL. 2= Python AAHA HAEE
CtEMo|H MEZHAZ CHHE & ASLICH

« OOl sHS Zeeh HEs) Python2 £88 52 & UAsLILH 57 dEfe 32, 42 2
A9 HAEE SHHMTE S2HA FoM HMAY = JAFLICE SeHAE CIOIHE #8724l
HAEE FolgdLICH
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S FHel

SLICH JavaOllMet= ZE|, Pythono|

Python SEHAS AFBsR wiol o

UA&LICE 2HE2ZE Python? &2

<+
ol
ol
KO
i
<
i

0o
Mo

ol

TA
K

JavaOllA2| T{7|X|2t H]

o
==

|
4T
K
ofu

o0
o

PythonOilM= 22ATL classES AL FO[ELICL classE2 C

statement

class name (superclasses):

A1
U

W)

class name (superclasses):

assignment

function

SHAE Folg i, 071 O|&el assignment

L|Ct.

St
=]

2fA LHOILM 27 3HOF

)
Kl
<l
TH]

<l

od

ol
o
mn

class MyClass:

pass

2 LSt ZX[7t 17| 20| pass

7[ofl M 22N

=2 ME-ULCH

x = MyClass()

JavaOlMet= 2|, PythonOlM= S2I0[AET}L SafA9l Q1A

12 Z715t2{H, SHet QAIAEAO|M A 2t

A
(=]

SHUA| .



x.attrl =1
x.attr2z = 2
x.attrN = n

SajA0| HlelSE|s RE WAL SahA 2MULICH ZaA oM HolEE DE 47t HlASY
LCH HACE BEHOR selfatm she ZofAo| JAHAS & i Q42 LABLCL S S
of U= ZahA 24 9 HACE HoBY| 98 Che IS YAY 4 UALICH

class MyClass

attrl = 10 #class attributes
attr2 = "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3  #make an alias for method3

SaiA etol M, 22 olF1 o 2Ha 40 st 2=

MyClass.attrl). QIAEA KM0f Cfst RE HXE self HE

—

MNEE FASHOF gLICHO:
HE[0{OF SILICHO: self.text).
SaA QM= Z2iA O|E(0l: MyClass.attrl) = ZHA Q| QAUAEA(O: x.attrl, O7|M x=
SefAo| AARHANZ ZefA £M0f het ZE HFXE F™GHOF FLICH SeiA RN, QAUAEHA

M0 Oigt 2= HZ= SA9 QUAEHAZ FHE|O{OF BILICHO: x.text).

=Nl

AL

ST Ha

HlO|E&= Private H+E M6 =4
Z JUSLICE  xxx E=  xxx_yyy(F 7

7= 247 AHSe= 2L 0|FE dAE O|FH F7

)
il |
oF
=}
A
o

3 2 o
a0

class MyClass:
__attr = 10  #private class attribute

def methodl(self):
pass

def method2(self, pl, p2):
pass

def _ privateMethod(self, text):
self. text = text #private attribute
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JavaO®iXet= 2|, PythonOlM= QIAH
thisQ WE ALE2 SELIC

[>
re
4>
=2
=2
rot
H1
rn
ik
P
N
o
—h
HU
=

)l
Ih
2
o

o
i
Iul

AP

o

SAZEE MK 752 QEHE X T22{U0M 7|2/LICE Python2 T 8! O &

£2 = O X|JgL|Ct T A& T StLte| fIEeAT JS = USS Q0[LICE CHE AE2

= O|&9 fmIeATt JUS £+ UASS Q0L

ME2 OHE SHAE MEZHYSIH FAELICE el =Xt Python ZEATF cHIHAY =

SLICL Python?l Jython TR0A= Tt SHLES| Java S2iAJF 2 = ZHHAHOE MEEH £ US

LICt s=HEeiA7 MSE 2= &LICH

FIEefAS BE H40|Lt HAER oo MEZHAN UM A XM Es SMO|LE HAE
AFA O

P

2
7t SAXIX @b o Y29l SE0|UET ArEY” = UAFLICH MEZHA9 BE &452 OfT{of ALt
SE A

PN

Feg + ASH ALt o|Zo| CrEdo| HYLItt. 0l 7Is

_l_

EHAOl O|AEIAEZ Al-RoI‘

A
_I_ — = o=
[m]
ES

2 2ol MAE U 80l4S 7HSBHAl ULt

=S
of| |
class Classl: pass #no inheritance

class Class2: pass

class Class3(Classl): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance

M2 & A3TE o] 29
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ol ArE3tH AEZ Lo MEE L

ol AFSELICE
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L
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f

o
o
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b
A

ol

Al ZHX
AEZol S Hofst

-

o

=

Ct
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=

—

—

C
[

HLE AIZELS 2TL

M

H 3 = IBM SPSS ModelerdA2]

IBM SPSS Modelerd|

0 <4 [@o T R O 1|
I = [l w o %0 Q! o
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modeler.script.stream().runAl1(None)

CHS Ol AERS 2= dd Jts &

n
i

)d
fol
o
r
o

stream = modeler.script.stream()
stream.runAl11(None)

o ool M, AEZE strean0lats 40| HE
S o ALg3| 2o AER
Sk 2tze ASYET} LI

== —

Il

o LEE £XS
PN

=
—

—H r=3 — — —
modeler.script 2E2 AIZET} MAlg|= AHBHAES HIELICL ZES HEIR] Ao AFS2Z SPSS
Modeler 23EEZ JtHZLICE 252 A 2tF0f| oot BMAE 2= AFEEES HSdt= 4712

st+E HolgfLLCt.
. session() St ATREN CHEE MMS Z|ELICH HMH2 Qojol AERIS AldSHE O A2

2 4
QI 2HY 5 SPSS Modeler HAE(2H TZZNA E= HERIE SPSS Modeler Server) &
2 @EE Ho|ghL|Ct.

—

¢ stream() ¥ AEE

AEZ| ASRE

« diagram() &
HO™E 2[HE
L|C.

EE AQ%s 2mk

H 9. modeler.script &2 Q9F
ASEE ¥ session() stream() diagram() supernode ()
Sk MM 2[H AJEEI ZEE I |stream() 2 Rt Y | HEEX A
oixf 22| AEE(o:
ZM2| = -stream &
HE Sl dEEE &
E&l) E= None2 2|[H
grLIC.
AEE NA 2[E AE 2|H stream()2| 222 S |HMEEX| %S
FHLE N 2|E AEZ 2|H SH-E AER 2[H | SHEZE 2[H
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modeler.script ZES ESt AATEE Zg IEQ N EFSt= HHET Ho|sL|ct
exit(exit-code) &= AJEEE A FX6tD M= B+ 8 ZEE 2|HPLICL
AEZI0| CHol|l HOlEl= HIAE = StLEIb runAl1(List) QULICE O] HAEE BE AMH# Jts ES
AMESHLICH LEE AW M= ZE 2oL £H0| N3EEsE S50 =IHELC

AERY Mo F2 DY, JHE U JlEt 3 22 ZHS WNo= 20| TEHALICL 0 S
WA Qo) ATYET B2OR AU|GElE WAS NTY L& UBLICL OIS S0,

stream = modeler.script.stream()
results = []
stream.runAll(results)

i, 2ol o3l HHEl= BZE QEMEES results SE0AM AMAE = ASLICH

JE LE BE

AERE T3 AER0| A¥E7| Mo £HE00F ot= YE 2ot S A EEELICE Ol 2

4o £H C+3 el ZarwLc

1. 2 AERINM LE A

2. kE EE= AEY H2¥((EE = o) HE

LE 37|

AERE J|E LEE &= e YHES MSYLICL 0lF HAET CHE HO| 2240 UASLICH

H 10. 7|2 =E HIIE 23 HAE

HAS 2|8 R a4d

s.findA11(type, label) QUTH XEE 29 gl golES e RE
o EEg Z|HELICt RHOILL olg
Ol None® &= UCH, 0] ZLR LIE E=#
£ Atgghct

s.findA11(filter, recursive) QATH KHE HEHOA 3EEs ZE LE9
SYME gELICH M Eadt
True@l Z2 XIHE AEZ 4o RE £
HLeEr HAMEL|C

s.findByID(id) C= MaE+= IDE #&= L& = O3
=t gl= AR None2 Z|ETHLICt HAM
2 Hxf AEZIOCZ H|THEILIC

s.findByType(type, label) LE HaE= /Y, 2lolg £= & O #=
T EZE 2|EYLCt. f¥o|LL 0|E0]
None® # QUCH, 0| 2L L2 2HE
ARRSILICE CHE 2T} OjX|3H= 2R
olof stLtzh MEHE|of 2|HEL|CE of
K|t =271 e 22 2lEE2 None
Lt
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E 10. 7|& L& HIIE QY HAE S

HAE 2H ¥ Ad™
s.findDownstream(fromNodes) [oRelig: M3Ee=s L& SE0AN dMstD MaE

= LE9o| LC ORAER NEE 2|8
SiLICt 2lEEE LEoE 22 HMSE
L EJ} ZEHEILICE
s.findUpstream(fromNodes) fokelig: HaE=s L& SE0A Aot M3E
L LEo LE YAEZ MEE 2|HT
LICt. 2|BE s Eo= 2 H2E
EJb ZEEL|CH

muin

Zorot 32 28 =

rr

o
Ct

oo mn

=0, 2E&0] AR ET} HhASI| Qs ERet B TE L&
A3

BHEE M8 A= + ASLICH

stream = modeler.script.stream()
node = stream.findByType("filter", None)

-

CE9 ID(E et oAte] =4 o EAIE[E)7t Ee{dl 32, oY IDE AHESHH
=

UAELICE OIE EH

stream = modeler.script.stream()
node = stream.findByID("id32RIT71G2") # the filter node ID

7

= A

Ed 44

LE, AEY, DY O £S OF HMAT 4 YT (RO FL0| HHY 4 s SHS B

o SHe Yexoz oumMEY NSO\t GBS £HE O ABELICL REHE 54 AN U

MY A2 £ = HASTE OFS BO| QA0 JASLICE

B 11. RENE EM AdNA G MFE I3 OjAE

HAE 25 3 g

p.getPropertyValue(propertyName) | Object 0|2 XI™E S49 gt E= OH §40|
e Z2 None2 E|HTILICEL

p.setPropertyValue(propertyName, | HEE|X| %S O|E XM= EMol Zt2 AF™LCt

value)

p.setPropertyValues(properties) HMEEX| %S O|E XIHE EHM9 gt dNELICL &
o Mol 2 ¢=E2 EM o|F Y Y &
dofl X|I™=[o{of Sh= s LEHHE 7|
2 FAYELC

p.getKeyedPropertyValue( Object 0|8 XIHEl Edol 2t datEl 7| =

propertyName, keyName) O EMO|Lt 7|7} gl= B None2 2|
BRIt

p.setKeyedPropertyValue( HELX| %3 0| XM= E4 5l 7|9 gfg dyeL

propertyName, keyName, value) Ct.
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S01, AEZ AIF0 A= 7MY LEQ| S HFdH= 2R L3 2A3EHEE ME8Y +

L|C}. -

0 2
|II> i

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUG1n")

=, HE LEoAM HEE TS| fg &= JSLICL 0] 3R0= 2t HE |20 7|2 YHE

LICt. OIE &

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field

node.setKeyedPropertyValue("include", "Na", False)

[ = | A

LE EY U AER ¥

US MHOME JIE A0 M =52 HI4SP| A 4 ASLICL JIE A LE Hts Y

HtMoZ Chy AYsS ZagLCt

1. LE Z=M,

2. J|& AEE EEQ0 LE g3

C Ay

AEZE G2 LE M gRHZE HSELIC O|lF MAETL CHS EOf| QUE0 &L

H 12. £E HHE HAE

HAE 285 Y A

s.create(nodeType, name) = XH= fd9o LEE M5t 0|8 X
HEl AEZN FIpgL|ct

s.createAt (nodeType, name, X, Yy) o= ANHE Yo LEE Zddta 0| X
HEl KoM X["HE AEZ FIHEL
Ch x <0 =y < 02 32, 9IX|7t M
HEX| SLICH

s.createModelApplier(modelQutput, | == MaEe RE =3 QENMEZEE I

name) He 2 MNEX L= XMLt

HE =0, 2EZHWM M R =2 ZGsty| 2ol Cis 2A3EEE MEE = UAsLICL

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")

M =E7F AE] Lol M BT f, ALSE 4 47| Mol =Eo| AlRAc HZE|0joF BLICEL AEY
S LT Y3 Y Y3 HHE SIS WS HAES MITLICL 0/ KRS OIS Bl 290 2
Lot
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¥ 13 E &3 gl 3 NE 2T HAE

HAE 25 |d Ad

s.link(source, target) HMEL|X| &F AAQL EH LLE AO[Q M 23 E EHY
SrL|Ct.

s.link(source, targets) MeLX %S AA LEQ HZEL BEo Zt 2H L
E Molof| Af ZF2E =hdgiLiCt

s.linkBetween(inserted, source, | ®2EX| A2 T el OfE LE QAHAAA G 5

target) H L) AO|e] LEE HFst delE
LEQo| 2[XE O AMO|2 AFYLICE
AAQ} BE LT A0|o| BE XY 23
7t HAN mMAELICE

s.linkPath(path) HEL(X| %5 LE QIAEA AlOjO] M BERE 2T
LICH XS =7t & Ho| ¢H&E D,
= HW7E M| Hijjo| HZElE AQULICH

s.unlink(source, target) HEL(X| %43 AAQL 2F LLE AlO|Q BE XFH &3
£ HHELICE

s.unlink(source, targets) HMEL[X| &4F A LEQ SH EEQ Zt QEHNE A
olg] RE XF FIE MAHELICH

s.unlinkPath(path) HEEX| k= L QIAEA Ato|of EXfdts ZE
28 mMAgLICH

s.disconnect (node) HMELX| &4F MaEe =9 XHE AERY /JUs
CHE RE L= AO|el 2E E3AE HMA
SrL|Ct.

s.isValidLink(source, target) boolean KM=l AAQL 2 LLE AlO|of| HI3IE
IMStE 20| =T ER TrueE 2/H
ghuict, o] HAEE & QHHEE BEJ}
X™E AEZN &8H=X], &4 =ETL
232 Z2Zst0 27 & 23S gt
2 = YeX d2|n 3 3 E )
T AEZ0 =8ME RUSHK A=X|
ZAAteiL|Ct,

Flo L= A3ZE ol CH2Ql 57HK| &Y2 AEL|CE

1. 7MoY " &, HE £ 8l H0lE £ LEE ZdgLICt

2. LEE M2 HZTLCL

3. HaOY 3 LEoN Y 0|§S AL CE

4. A3 oM "Drug" HEE TEIYLICL

5. HO|§ EE AAdgL|C]

stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)

filternode = stream.createAt("filter", "Filter", 192, 64)

tablenode = stream.createAt("table", "Table", 288, 64)

stream.link(filenode, filternode)

stream.link(filternode, tablenode)
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filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
filternode.setKeyedPropertyValue("include", "Drug", False)
results = []

tablenode.run(results)

LC JIX27|, H}7| 51 AbA|
LT AN Ol AW ofL|et, 23 AEROA =EE HFRD AKSHOF ELICH == J1H 7|, HHRY|
gl AMHO AMR JHsSE HASTF CHS BO| R9%E0f ULL|CY.

H 14 ©E JtXMQ7|, HHRY| W ARIE Qo HAE

HAE 28 Y oY

s.replace(originalNode, HEE[X| %S XHE AEZOAN XHE =EE HiEL

replacementNode, discardOriginal) Ct. 22 =9 thA| ==7t & Cf XIE
Bl AERIO] AR0{0OF FLC

s.insert(source, nodes, newlIDs) List MaDs 220 LEo| AHES ARl
Ct ®M3Ee S=2 2 271 XFE
AEZI0f| ZEECED ZPESLICE newIDs
Es 2 Lo s A IDIH M
L|0{OF SH=X| EE 7|Z IDE SEA Y
AI2EX| EE EAELICHL AEEQ 2
£ LB 1f IDE ZE=Ch JHHsE
2, AA AEZIO| XHE AEZIT S
ot A2 0| E2f3E= TrueZ MHE|0{OF
ST} O] HAEE MZ AMQE =9
SE2 2HsH, 29 &MIF HoE
K| ASLICHF, &M X|FO0| HtEA| 2
220 Y =9 Mot ZX|E A2).

s.delete(node) HEEX %42 XN HE AEZOM XHE LEE AHE
LICt XIHE AEZO| sy =E5 AR
sHof gfL|Ct

s.deleteAll (nodes) HMEBEX| 8tS XNHE AEROM 2ZE X™HE LEE
ARl SHMe| RE LEJF XH
=l AEZlo| Sehct

s.clear() HEE[X| %42 XHE AEZON 2E LEE AHEL
Ct

g S LSO YAEY T CHPAEYl HLEES AEels HYULCL AEYS oS
LEE AMESH= O ARY = U= B2 HAEE HSELICH 0§ HAET CHE HO| 224E 0
&Lt

H 15 YAEZ 9 [IRAERY LEE ASEsts HaAL

HACS 28 | a9

s.iterator() Tterator XNHE AERY ZEE L= QEHEY

i
-

ne S E MO 8E= F
2, gr=Ae AE2 Yo=K YELIC]

[Eoy=]
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H 15 YAEZ 9l ORAER LEE AESHE HAE (AS)

HAE 25 Ad

s.predecessorAt (node, index) LE NEEe= =9 XM= =™ MAXt =
= K27t ZAE "ot 22 None2 2|
EgtL|C}

s.predecessorCount (node) int M= LEo 2™ Malixt 5 2|8
ghLiCh

s.predecessors (node) List MEEEsE =9 AH MUXE 2|HSL
Ct.

s.successorAt (node, index) L= HEEe= 2o XHEE A2 S&X E
= X7t HAE Yot 22 None2 2|
ERrL(CE

s.successorCount (node) int HBEE B9 2= &%t £E 2|H
ghL|Ct

s.successors (node) List HNSEes 2o 2 T&EXE 2|HEL
C}.

= X7 = HA
HHA ATZES clear BHO| CHAD AES

« clear outputs= E2|XI HEOAM ZE & =S AFFLICH

+ clear generated palettes ZY ZENAM ZE ZE HZIS X|SLICL

o clear stream@ AEZIO LHEE F/AHEL|LCE

2ot St MEZE X|26H=0], removeAll() HHE 2 AEZ] £ o™l 2|kt
Ct

g X2 HE =0,
« AEE FEXE X[REH,

session = modeler.script.session()
session.getStreamManager.removeAll()

- &Y HEXE X2

session = modeler.script.session()
session.getDocumentOutputManager().removeAll()

. 2Y BIARE X P

session = modeler.script.session()
session.getModelOutputManager().removeAll ()
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LCoj 2ret "HE Y|
L= OO 7I427| Y WELWZ| L&, B8 XM L=
|

gl
=
gL 25 EEs 20 2ot HEE AT 2l MY + UAs B2 HAEE FNSHLICH

=9 ID, 0|& 4! g|o]

T

£ & o M8E £ U= HAETL O HO| 290 USLIC

¥ 16. ==9| ID, O|§ % 20|ES 7| flgt Has

HA= 25 o Mo

n.getLabel() string X™E =9 HA| 20|EE 2lHEL|c,.
gojE2 E40| H|of JUAX| &2 =XtE
0|1 use_custom_name E40| MHL[X|
A2 Z20)2t custom name E49| Zt
LICt. 2%X| gfo™ 2{0[=2 getName()
o ZrULICh.

n.setLabel (Tabel) HEEX| o

ajo

X™E =0 HA| 0|2 MFRLICE
M 2l|0]E0] HIO| JUX| k2 ZXiH! H
£ custom_name 40| X|HEH False
7} use_custom_name S40f X[HE 0| X|
HE gZlo|g0| *MEE HE&LICH O
K| g™ Hl ZXHHO| custom_name £
Mol XIEE|D True?t use custom_name
ol XI™ELIc.

n.getName() string A™E =9 0|2 2|HEL|Ct

n.getID() string X™E =9 IDE 2|EHTLICEH M =E
7t = mjoict A 1D7b & EL
IDE AEZIo dEZ MEE 0f =9
el X|&Elof AEZ0| 8 o = ID
7t RXIELICE J2u MEE B9 A

EZo fesls 32 s === M

SHELICH

oo 2ot 7B MEE &= O ALY £ e HAET CHE Eo 940 JELICE

H 17 =20 &t HEE A7| 95t HlAE

HAE 285 Y g

n.getTypeName () string 0| LE9| A3ZE O|ES 2|HTLICE
O|Zd2 O] =9 M QUAEHAE ZHMo}
= O ASE £+ e A1 53 0|2
ULct.

n.isInitial() HE AEZQ A[Z Al0f] S EQI =

n.isInline() 22 AEZ F7to YMdst= =01 2lztel
Lol AR TrueE 2|ETLICH

n.isTerminal() gg AEZIO| BOj|A wMSt= =01 EO|d
Lol AR TrueE 2|EHTILICE
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E 17 =50 23t HEE AHT| s HAE (AS)

HAC 2le |9 44

n.getXPosition() int AEZOM =EQ x RIX] 2EAMIZ 2|H
ghLC

n.getYPosition() int AEZOIM LE2| y /K| QEME 2|H
ghL|ch.

n.setXYPosition(x, y) HEEX &3 AERNN LEQ RXE MHTILICE

n.setPositionBetween(source, target) | ME2&|X| %2 LB HSE=E =E Ato]of| fIXE=S
AEZOM 2O /XE dFYLICL

n.isCacheEnabled() 22 FHAIZE AL THSSHH True, JHX| 242
H FalseE 2|EHELICE

n.setCacheEnabled(val) HEEX A O] QENEO| it FHAIE A E= A
8 & AUSLICE FHAZE 7t5 Xt 7Y
Aol M8 E7tssHA = A HIR
FELC

n.isCacheFull() 22 FHAIZE JFS AHH True, JFEX| QOH
FalseE 2[HELICL

n.flushCache() MER[X| %2 0| LE9| JHAIE H|ZUICt FHAIZF ALE
7tSEHA| YL JHS kK| 92 R =
a7t SESLICE
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o

ATEE API=E HHRIet SPSS Modeler 7|50 tet HBMAE HMSELC XIS7HX| dFet &
AE= 0] APIS| ERO|H =7t 7kHR7| 8l0] A3EE WolM LiTHEoZ HMA= £ USLIC
2Lt API 22HAE HZSHHE 32 OS E”%—E— 2 APIE BAHL=Z 7hNetoF ghict.

-

rin
4 =2

238 APIE Sl AL8E £ U= 2L, HAS B 240 ot HH| M= IBM SPSS Modeler
Python Scripting API Reference GuideO|lM A& = UESLICE

of 1: AI2X} Xo| HEE A3 L= M
B3 HO[X[O] T=E AJ[y | Hofl 20| ¥ 0|22 ZM
MBH= 0|7} EShz|AALICH U Mgl o Y
A 9l findAl1() HASE ALRSIY ToE & AXLICH 0 ZRY Mou

Lot

|Z=o=2 Af%ﬁfoii AERIM EE A
z 12 NodeFilter 22
Cte & A7t =g

=
il
ro
oY
J>-
o
e
0]
Ot
=
rr ;G

1. NodeFilterE 3.%*3@_ accept() M[&E9[ ALEXL Hol HES Foicts M 2aiA &8,
A9 HAE & 2

2. 0] M =& AEARZ AEZ! findAl1() accept() HAZEOAN HolE

J|z=S ni=gt

CHE Ol= == FHAIPE A8 Jtset 2B EE dMols dEHE E0ELL 29| 2[HE =
EE2 ME3I 0|5 =9 FHAIE HIRAHL AIE ot + UASLICEH

import modeler.api

class CacheFilter(modeler.api.NodeFilter):

""YA node filter for nodes with caching enabled"""
def accept(this, node):

return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findA11(CacheFilter(), False)

ofjj 2: At mjz} ClMER] = NjY MEHE JIHQEE 3|2
AEXH A PSAPIZL E2|X| QA 52 session.getServerFileSystem()2t= HAEE S8 PSAPI

StAZ SEEH0] M A|AE gu HMEZ =rMS 2~ Ql&L|C

—q1—===

Il

IS Ol A= IBM SPSS Modeler Server0Ofl HZ&5t= AtEXIS| #HotE 7(8toz ClHEZ[Lt Y o

=3
S JiNE 4 Ut WS BoiFL

ML od=2

HT
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import modeler.api
stream = modeler.script.stream()
sourceNode = stream.findByID('"')
session = modeler.script.session()
fileSystem = session.getServerFileSystem()
parameter = stream.getParameterValue('VPATH')
serverDirectory = fileSystem.getServerFile(parameter)
files = fileSystem.getFiles(serverDirectory)
for f in files:
if f.isDirectory():
print 'Directory:'
else:
print 'File:'
sourceNode.setPropertyValue('full_filename',f.getPath())
break
print f.getName(),f.getPath()
stream.execute()

HIECOJE]: CilojE{o] st FH

LEOF AERM M2 HZE7| Wi o, 2 LEoM AL Jhset EO|Lt EEof| 2ot HEIL M8
tSELILE lE =01, Modeler UINA O|HE AE3I B L= SEY ZEE WEHE + ASL

Ct. O] YEE Clojgf 202ty ghuct.

|>
|u
ial]
[m
rr
> IR
rot
|.|—
n
Hu
fujn
2
X0)
N
I
T
N

T
1y
i}
=)
b
K
M
rlo
o rir
ne
ot
-
_lTl_

i)l
0x

Jul
K
I
10
o
aln
rE
oY

1 druglean.str 2EZI0|M ATZEES HASHY| Hol|, ATEE ANE PythonRZE HFESI=
2 7|95 A|(AERIOl IBM SPSS Modeler?| O™ HZTOAM ZMECOZE AEZ ATEE
07t gHA =2 HFEE).

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue("use_model_name", True)
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lTastRemoved = None
fields =

for field in fields:

typenode.getOutputDataModel ()

# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:

continue

# Re-enable the field that was most recently removed

if lastRemoved != None:

filternode.setKeyedPropertyValue("include", TastRemoved, True)

# Remove the field
lastRemoved

= field.getColumnName()
filternode.setKeyedPropertyValue("include"

, lastRemoved, False)

# Set the name of the new model then run the build
ch0node.setPropertyValue("model _name", "Exclude " + TastRemoved)

c50node.run([])

DataModel QENMEE=

HOjE 2 Ljo] Ze

oF HEO| HNAS| 9Bt B HASS

MSELICt O|F HAEYE OFE HOf| 290 UELICH

H 18 LWL T Zof P HE HMAE St DataModel LEHE HAE

HAE 25 |d A

d.getColumnCount () int oiojlg Z&o| & & z2|EHgfL|ct

d.columnIterator() Iterator 712 A ENE 2t EE 2[ESE gt
EXtE 2|HELICL gHEXts ol oA
HAE 2|EHgLC

d.nameIterator() Iterator lEr Y =ME 2 Eol 0|EE 2™
Sst= BtEXE 2|HgL|ct

d.contains (name) 2 Ml&= O|E2 €0| 0| DataModel0f &
Hote EL True, THX| RLOH False
£ z|ggct

d.getColumn (name) Column XHE O|EQ E2 2/HLICt

d.getColumnGroup (name) ColumnGroup Ol XM= € OF == 13 &€ O
O] ZxH3tX| Qb= ZSR None2 2|EEL
Ct.

d.getColumnGroupCount () int ol olojlg 2o e E I89 +E
2|EdgtL|Ct.

d.columnGroupIterator() Iterator 2t E OE2 K2 2[fste UEXE
2| gLt

d.toArray() Column[] oiojy 2Hg Ho| tiFZE A 2[HELIC.
g2 e MY =M2 FHBELICH

2tot HHof| MM ASHY| ot BE HAESE EEeL|Ct of2f HIO|E2
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1 —_ - —_

HAE 25 g

c.getColumnName () string Fo| o|ES zZlHgLCt

c.getColumnLabel () string ol #lojg = Fut HEE 20|S0]
o= 2% Bl EXrgs 2[HYLct

c.getMeasureType() MeasureType Fo| £ fYS 2 HEYLICH

c.getStorageType() StorageType Foj| chet ME RES 2/sHgct

c.isMeasureDiscrete() 22 ol o|MEQl AR TrueE 2|ETILICH
NE = Zzi30! ol ojMgoz 7t
FELICH

c.isModelOutputColumn() g2s ol 2E =3 Fel A TrueE 2|H
ghL|Ck

c.isStorageDatetime() gg Fo| M7 370 A|Zt, M e A7
291 Zfol AL TrueE 2|ETHLIC

c.isStorageNumeric() 22 go| NEH 37H0| H E= A0l FR2
TrueE 2|HELICH

c.isValidvalue(value) 22 X™El 20| o] & =7tof| REst E2
TrueE 2|EHstn, Rt & o] YHE
ol validE 2[HELICE

c.getModelingRole() ModelingRole of cist R ASS Z|HELICH

c.getSetValues() Object[] ol cHSt f=Dt 2o HIE E= 3f0]
LXK AHLE EO| METL Ofl B2
None2 2[EBfLICH

c.getValuelLabel (value) string ol A= ol chet 2ol E= ghat
HatEl 2lo|20| gl= E2 ¢l BEXEE
2| gfL|Ct,

c.getFalseFlag() Object ol CHSE "false" EAIZ| 2t E= Z40]
LXK AL Eo| Zeiadt ot &F
2 None2 Z|EPLICEL

c.getTrueFlag() Object ol cHot "true" EA|Z| 2F = 20| &
HX|X| AL So| E2{O7t ot EL
NoneZ 2[ElgfLICE

c.getLowerBound () Object ol A= Lol oist skst gk == gHol
LXK AL ol H&go| ot &F
2 None2 E|HELICE

c.getUpperBound() Object ol = afoll ciet Aot gt = ghol

- O L= HA -
LHX[X| SAAHLE Eo| H&Ho| ol &
2 None2 2|EHZL|CE

of 2

-

B ne

LU r

He
o]
PN

P r&*

a

off HMASH= CHEES| MAE= DataModel 2
S2 HISHHAIR.

HE =9 L=

dataModel.getColumn("someName") .getModelingRole()

dataModel.getModelingRole("someName")
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|M, druglearn.str AEZI2 AEZIO| A|ZH
ot AdEn O Eut= =550 MEELCH 3 ,
E 2 £20| IBM SPSS Modeler 22 (.gm) IHUZAN MEET HZHS PMML LHELHRIL]

import modeler.api
stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAl1(models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunner()
for model in models:
# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelQutput)):
continue

label = model.getLabel ()
algorithm = model.getModelDetail().getAlgorithmName()

# save each model...
modelFile = modelFolder + label + algorithm + ".gm
taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...
modelFile = modelFolder + label + algorithm + ".xml"
taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

Y HHY| 2L Lot S8 AHYS dddots Helgh dHS MSELCL of SA0M A
= e HAET Chg Bl 290 ASLICH

= — b | =

HAE 25 |d Ay

t.createStream(name, autoConnect, |AE® M AEZIS XMetn 2|ESLICH AE

autoManage) 2SS AFEXIOA HO|A| X 211 AE
2E JielgoZ XMoljof st REE
autoManage Z2i1E FalseZ ANl 0f
SrL|Ct.

t.exportDocumentToFile( HEEX %3 AEE HHE XHE oY HAS A

documentOutput, filename, ol MU=z LHEHLICE

fileFormat)




H 20. 38 MY sHS Qo =Y MY FejAQ HlAE (AHlH)

HAC 2le |9 g
t.exportModelToFile(modelQutput, | ME2EX| %S DU XEE oY JAE AL8SHo] ot
filename, fileFormat) U2 LHEHLICH
t.exportStreamToFile(stream, | ME2&X %42 AERE XHE oY HAS AE5HH
filename, fileFormat) omAZ L= LI}
t.insertNodeFromFile(filename, |= XEE

diagram) £ FNSE Crojo{a#

QEMEES E Ot gl & UELIC
t.openDocumentFromFile(filename, | DocumentOutput X™E iAo BEME o3 2[E B Lt
autoManage)
t.openModelFromFile(filename, | ModelOutput XEe ool Z2S e et
autoManage)
t.openStreamFromFile(filename, |AEZ XM= oo AEZE 9D 2|EHEL
autoManage) Ct.
t.saveDocumentToFile( HEEX &S EME XFHE oY X|off MEEL|C
documentQutput, filename)
t.saveModelToFile(modelOutput, | HESEX| A4S DES XEE oY Ko METLIC
filename)
t.saveStreamToFile(stream, filename) | MEE|X| A2 AERS XHE oY ?X|off MEgHLICE

F X=|

o
il
|>
|u
o
Im
2
2
X
rir
e
o]
<
wnn
)ﬁ
wn
wn
0
=}
>
O
=
oV
.
O
=]
o]
=}
Q.
o
[0}
T,
o
<
3
o
=]
=]
wn
o)
-
S.
(@)
[¢)
[¢7]
7
ae)
o
»n
2,
O
=
<
Hu
4
m
Ha

=)
AMstE 0 A= O] Y= Qlsf o7t wile &~ JUELICE olE S0, 2|XX|EE| 2
MY METH SHIEEA d™EX] AUALE 2|EZXER] BEIF SHIEX| ELICH ATZENNM O
ModelerExceptionO| ZMsIH TtE £ JUSLICHIBM SPSS Modelerd| 2o ML= ZE O
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import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
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import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

Das U2 A3ZE AHN SIE IYSH= A HEMY Alof| Zt2 MEYSt=E K80 WHE NSL
Ct 2 5 o2 g2 AERISl HRe SYUst WHOoz & AEZ = 2HLEES B4 HO /U=
St=0|Lt HEMO B2 AN HOELICH AEE 8 2HLEE ZeiAs=E OFF HO| EAIE HAMH
ParameterProvider RLEHME| Q8 HOlk|= & MEE FAHYLICE ME2 s o+E Holst=

HALE 28 |f¥ g
p.parameterIterator() Iterator 0] REHMEY Cfst 24 0|2l EtEX}
£ Z|Hgct
p.getParameterDefinition ParameterDefinition X|™E 0|29 240 CHot 24 FHo| &
(parameterName) £ J2 247t o] MBKtol| EXSHR| 9
= 2% None2 Z|EHYLICE Aot= oA
Bt s &E o "Mool AHAY £ o
M O] MIXE Sl 20 HYE ZE
sS4 S UEY et glgLc
p.getParameterLabel (parameterName) |string 0|2 XI™E 22| go|g E= JH 2
It Q= E2 Nones Z|HTLICH
p.setParameterLabel (parameterName, | M2E|X| %S O|§ XIFE 29| glo|52 HX™TLICE
Tabel)
p.getParameterStorage ParameterStorage 0|8 XIFE Eo M& 37+ £ O
(parameterName) 247t gl E2 None2 2[HTILICH
p.setParameterStorage HEEX| 43 0| X™E 242 XE 37t2 MEY
(parameterName, storage) L|C}.
p.getParameterType(parameterName) |ParameterType O|E XIME Eo @Y = O3 B
7t gl A2 Nones 2|EHELICH
p.setParameterType(parameterName, | HEE&[X| %S 0| XIME 2o g MELIC
type)
p.getParameterValue (parameterName) |Object O|E XIME HE0 gf = I 27t
= A2 Nones 2|EHELICEL
p.setParameterValue(parameterName, | M2E|X| 4 O|E XIFE 249 gtE &g Ct
value)
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CHS oloiM, ATRES Jh W2 WP £ HOlHE 2= YA 3| 9l AR Telco HIOIEES
SHBILICE D21 Cfg AEY P47} 0] YHO2 MFELICL O|Y DUO| LIHK|OIA BHE 7| Hof
g AEY D47t ofg BAS GIOIEOIM MeIst| Io M ol ARSBILICE,

ASZET} M8 T XHE MNGIDE SHE 2 MY =S EHA0| MY MuuS 4 Wl o
Sofl o] o= QIPIFRILICE J2Lf AEYS UNHOR AH EMEOE 0 YAOR LS MY
< 0| 983 o2 MBELIC

ASZIE ofo] X WM TIEES AN BR 492 XE YHS TPt ASY D42 FMBLIC Of
ASPEL o S8 27 W DY Iy 20| LSS RS M2 AFELIC

import modeler.api
stream = modeler.script.stream()

# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEQ_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use field format for_ storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)

stream.Tink(typenode, c50node)

ASEE o= OE AEES ZgYLIch
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telco.say Angregate Tahble
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e 5.0
Select Type churn
18 5. A3YE ofe] ZHQl AEY
AFEE o9 Of2 ME= &8 27|19 E01M H0|Z EE AHAHLIC
# First execute the table node
results = []
tablenode.run(results)
ATRE o9 C12 IIEE HIO|E =9 Haof s MME HO|E £Ho| HMAGLICH ATRE
= 13 O3 Ho|E2 d2 Sl tEsSIH X HE U2 #de 9 5L
# Running the table node should produce a single table as output
table = results[0]
# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet ()
min_income = 1000000.0
min_region = None
# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount ()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1
AFEES OZ MEE XN HA #U2 #d= IS A8 O|X0| ZdE "LowestRegion” £
Eg Z4E et 18 O3 ASEEE =3 Ho[HoM HelE XEE 98 #= ZE &
H71E ddgiL|ct
# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)
# Finally run the model builder with the selection criteria
c50node.run([])
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HA| AZEE of|7t of2Hof] FEA[ELICE
import modeler.api
stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full _filename", "$CLEQ_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use field format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.Tink(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction”, "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.Tink(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet ()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount ()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1
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# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])
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import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")

CI= AEE=0f CHst =gl =218 AJEIE

— — e = H = =
CtEs AEZIOf CHsH ZHstHH S2d AIZEE AEdoF eLCH SEY AIEEE IBM SPSS
Modeler UI LHOA HE S MAlE|HLL 2K REON HHA DLZN MEE £ JSLICH
Cle S8y ATZEE £ AEZIS HL|C} 0| AEZ F oiLt= RES ZhMot= HHH E |
AEEZ2 0|&Zg9 BEXE THE HAIPLICH

# Change to the appropriate Tocation for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18.1.1/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunner()

# Open the model build stream, Tocate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applych50 = plotstream.createModelApplier(results[0], results[0].getName())
applych0.setPositionBetween(derivenode, histogramnode)
plotstream.linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.run([])

# Finally, tidy up the streams
buildstream.close()

plotstream.close()
CH2 dloM= 7YY AEZ(ZE AERIO| AEER BHof| 2T gtESH=E WHE
He S AIZEMI X[RJAEL|C

for stream in modeler.script.streams():
print stream.getName()
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O] HoM= AER Al X, ASZENNM QAILE HEHS AFE, IBM SPSS Collaboration and
H St ATERIE ALZ0| CHot Bl 7|
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H
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Deployment Services RepositorydlAf QEME
9| JHRE HMSLICt.

AEE MY 33

AEZ0| Hd¥E o Ef0jE LI 7|2 dEo| HXetE &Mz HHELCH ofH 0= CHE &
A =ME Mo & JASLICL 2AEZS HH =ME HESHE AEZ Ed izt gxte] A "o
M Ot HAHE ARSHAIR

1. HO{UEs ATEERE AFSHYAIR

2. B 239 7|2 ASEE FII HFE 2B T2 AEE ATRES FUBHIARL

3. 718 2EE 23EN U= FHEL &ME 0| 2AEI] Hdt= =MZ HESHAIR
rE 2

LS

0] ASREL WEJL MR[2 WEYHX Ys F20E e BE AE
LIt ZHEH| TWE 0|S2 BE AOlo| HhEXIR W Qo RE WES W
=

# Alternative 1: using the data model namelterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# namelterator() returns the field names
for field in node.getInputDataModel().namelterator():
newname = field.upper()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName().upper()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)
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ASZEE WX AERIS RE LCEE #26t1 2t LEJF TEQIX| EE AAtgLCH O 32, A&
SEUEE Lo JAes 4 ZEE FWSHD field.upper() == field.getColumnName().upper() &
+E MESIH 0|2 EXIZE HZETLIC

IBM SPSS Collaboration and Deployment Services Repository2| 2H
HE A

IBM SPSS Collaboration and Deployment Services Repository0il CHiet AFERO0| JUOH, AFEE
YIS Aot 2IEX|EZ0M JHME ME U HA = ASLICL 2ZEXEZE ARSI QlIE

IT
2to|= ofZe|AH0lM, =7 3! £FJo UHAEN M CO[E Diold Z& 51 2 o= JHA|2] 2t
I AMOIZ2S HE[SHYAL.

IBM SPSS Collaboration and Deployment Services Repository0| ¢Z

2| XX E2[0ff HMASHT| QsiME= HA SPSS Modeler AF2AF QIE{H[0|AQ| £ HiFL} HAMS E
of 2|ZXIE2|0f cist fzst AZS MFS|oF &LICt F7t MEE [71 HO[X|[Q] TIBM SPSS|
HZ 2y Pl W8S EXSHAIR.

[Collaboration and Deployment Services Repository &

[

2| EX|E2| HUMHA

MAM 2|ZX|E2|0f HMAY = JAFLICH OE S0, L5 2L

repo = modeler.script.session().getRepository()

B|ZX|E2|oIM HH HM

ATEE UOIM retrievex EE ARSI AEEZ RE =3 5 L5 Zolot CRFe JHA|0| <

Mag = JAELICEH HM ofof Cigh Q90| T2 FOo| HEA|ELICH

H 23 M A3RE o

A /9 2| ZX|E2| &

AEE repo.retrieveStream(ZAtE Z2E, EAIE HHE, 2XtE 20|52, 22 autoManage)

2d repo.retrieveModel(EXE 2=, ZXE HH, EXIE 205, 2 autoManage)

£ repo.retrieveDocument(EXtE A2, ZAIE HAE, XY 2|0|5, £ autoManage)

LE repo.retrieveProcessor(ZXtE 42, EXIE HH, X2 2{|0|E5, ProcessorDiagram CHO|O
=)

HE =0, L2 g8 A8 2[EX[EZ|0M AERIZ MY > JUFLICL

stream = repo.retrieveStream("/projects/retention/risk score.str", None, "production", True)

O ol= XI™E ZGO0|A risk _score.str AEZIS HAMBILICE production 20|22 AME AEE
o HFMEg AlHSHH OFX|2} Of7HtH4= SPSS Modeler?t AEZIE 2t2|ste X|HELICHUE S0, SPSS

Modeler AFEXF QAE{HO[ATE EAIZ|H AER0] AER B0 EAEEE AFELICL). ez §

et gol2 = HEE A Y =k UAFLICH
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stream = repo.retrieveStream("/projects/retention/risk _score.str", "0:2015-10-12 14:15:41.281",
None, True)

. A 8l 0|2 Oi7iHSIF 25 NoneO|™H XA H{FO| Z|HEL|CH
2| ZX[E2] o] JHHl AB0F

2|ZX|E2|0M JHHIE MESH| Qo 2TZEE MEBIEH storex P& AMESHHAIR. ME &
of tHet R9f0f ChS HO| EAIELIC

H 24 Mg 23EE g5

A/ 2|ZX|E2| &

AEE| repo.storeStream(ProcessorStream AEZ, X Z=2, EXE 2[0]E)

1= repo.storeModel(ModelOutput 22 £, 2Xtg 2=, 2AE 2(0|8)

=3 repo.storeDocument(DocumentOutput A £, ZXAE 42, EXIE 2(0|5)
LE repo.storeProcessor(ZEMA &, ZAE ZE, EXE 2[0]5)

OE &0, OIS 45 A25I0 risk_score.str AERIO M HHS &Y 2 USLICH

versionld = repo.storeStream(stream, "/projects/retention/risk score.str", "test")

of oM £AE
ofF HTE BAS 2|HYLICL

DE
1o
=
T
Rl
mjo
Rl
oA

15t "test" [O|SS Of2t HEAIF|IH M=z gzl HHE| o

1. 2olES M ™I ABAFIX] t22{H 20|Z0]| CHeH NoneS MEBHYAIL.
2|ZXEE| 20 e

Z|EX|EE| e EHE AESIH JHME =2
&LICt CFS ool E50| createFolder()

newpath = repo.createFolder("/projects”, "cross-sell")

N 1§02 THOIH o
S48 AIgst0l BOS

Ol o= "/projects" = LHO| "cross-sel1"O|2t= M EHE ZMTILICH gt M SHQ ™
N ZRE 2|HELICL

ZC9| 0|EE HASIHM renameFolder() &S AFESHMAIL.

repo.renameFolder("/projects/cross-sell", "cross-sell-Q1"

N W o= o|FS HEY 20 MM Fd=0/H & HM= oy S0l XFL A o|FL
CF.

HIO] Qe E0E AA[St2{H deleteFolder() &S AFESHUAIR.

repo.deleteFolder("/projects/cross-sell")
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ASBENN QEMES UM THE ABATL JIE HH F oIS YUIO|ESHLE A HHS By
C + 2 HT M 25 AL,

[ |
QEHMEEZS gz ¥ FZ A= 22 tSa #SLIh

repo.TlockFile(REPOSITORY PATH)
repo.lockFile(URI)

repo.unlockFile(REPOSITORY PATH)
repo.unlockFile(URI)

QEHME XTI 3 ZHMoMet 20|, REPOSITORY_PATHE Z|EX|EZ|0A QEFEQS| ¢

Ch Z2= Q18 222 F[O00f 5t SHAE FEXZE AESHUA|IR. HARKE FESHK| @F&LICH
repo.lockFile("/myfolder/Streaml.str")

repo.unlockFile("/myfolder/Streaml.str")

= QENEQ| X[E HIB5t7| fIsh ElEXIEEI ZZ Al URI(Uniform Resource Identifier)S
28 4 QELICL URIe MFE2X}F spsscr:2 EE0OF 6t 212 Bo 2 24X L0{0F ghLCt.
SeiAE 2 FEXE SI8E 1 S#M2 ¢ i':cs'5|010F LICH &, Z20IM S8 A 5202 AHESH
HAL. URIE HARKXE LR $&LCH o 23, O3 Z&LICH

repo.lockFile("spsscr:///myfolder/Streaml.str")
repo.unlockFile("spsscr:///myfolder/Streaml.str")
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I E HEH= YWY

O ZR0l= AFEE HTEHSE Zolelor & = JAFLICH 0§ S0 HEHZZ HoE= O
O[Ff A0 HhAT - JAFLICE AFYE HTHD = OHF FR0 AFEY = ASLICH

« CIO[E{HO[A AA B £ LE9| LE EY

o Mo 2301517 ?fet FFY el

o par THELHELHY] =29 ST BN HEE= 24 Dp)of| XZE Co[EHojs AE 5
A2 X} QIEHO|AS E3f| Blowfish YT2|ZS J[HICZ QIALE HUHSE MMt TIE AR
& & USLICHAIMISE MEE |http://www.schneier.com/blowfish.html| 2 =X). QIFYE Fof= H]

AN
TE A3ZE M 9 HHHAM QIR0 A B MES > JUSLICE databasenode H

databaseexportnodedf AtEdt= == EM epasswordZt QIZYE HUHSE XEStL|CH

1. QEGE HEHSE WHSHE =7 HiFoM LSS MESHYAL.

ml:l
rE

HZHZ olAG
2. H|EHz HAE JXjof HZHZE XFSHHAIL.
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O 2o -
Sf2 IBM SPSS Modeler =E= 2 XE, # ¥4l H0|E Z2 £ QEMEEZ MMBHL|CH ©e
Ol EH2 AJEEJ =& HA:Z QHUSHY| Qe ArEY £+ U= F8¢ US ZdeLICh ol &
2 2f HH0|HE AES= EfOLE IDE AFESIH ANAY = U= LIS ZAHO|LH (LS| ZHHO|H=
2E)E IEELICE 0|F A4S AMASH: HHE T AHH 0|7t AHESH= PAlo[L} "ZHElX 2H
"of 2t CHELICH
2 S0, 2 0 2 =32 PMMLO|2t= XML HES AFESI0 QAHEN Eg|7t 2k 220
M AM8StE EHEL MZFLQ FT0o| AR WY ZE 20| ZEo| et §EE LIEFHL|CH
PMMLE Ar8%t= EE £H2 o FEO| AMASHY| Qs ABY = U= XML ZHEHE ZEES
HZsLC o2 =
stream = modeler.script.stream()
# Assume the stream contains a single C5.0 model builder node
# and that the datasource, predictors and targets have already been
# set up
modelbuilder = stream.findByType("c50", None)
results = []
modelbuilder.run(results)
modeloutput = results[0]
# Now that we have the C5.0 model output object, access the
# relevant content model
cm = modeloutput.getContentModel ("PMML")
# The PMML content model is a generic XML-based content model that
# uses XPath syntax. Use that to find the names of the data fields.
# The call returns a Tist of strings match the XPath values
dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")
IBM SPSS Modeler= A3EEO0|AM Ctg HHEX RES X[SL|CE
« HIO|Z HHX RE2 Al H=2 BAE[= e B A O|o[Eof gt HMAE HZefL|ch
« XML X BH2 XML dAoz MEE L0 et HMAE HIeL|Ct
« JSON ZIHIX TH2 JSON HAOZ XZE WHE0 CHot HNAZ FSELICH
« E SAE HHX TE2 X|FE HEo| 2ot 29 SAH 0| ottt HNAE MIZeL|Ch
- 88 & SAE ZHx RE2 T HE AMo|9| Q9 AT == F JE HE Ato[Q Zfof CHet
HMAE HSELICH
Holg ZHx 2H
HO|S HH=X % F Olo|E HMAE 23t the ZHE HSELICL EF S &
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API

H 25. API
2| HAE e
int getRowCount () o| Hlo|E0f e el ~E =[HTL|CE
int getColumnCount () ol Elo|20f| U= o +E 2|HTILICE
String getColumnName(int columnIndex) XEE &g X0 A= Eol 0|22 2H
gLt & X[ 00lA AIRfELICE
StorageType getStorageType(int columnIndex) K™E K40 A= o HE FYE 2
HELICE € X2 00| AlRFELICE
QHEHEE getValueAt (int rowIndex, int XM= & 8l & x40 e 2 2
columnIndex) gLt ¥ 2 E Xz 00lM AR
C}.
void reset () O ZAHIx PHEW HAE DE LHE HE
37t8 H|ZLCL
x
LEQt =¥
O| Ho|g2 HHX ZRHEO o] RS ZEdl= &3S AMste EE LIEgL|Ch
B 26 -E2t £H
LE 0| 9 0|8 g0l ID
table table "table"
ofd| A3RE
stream = modeler.script.stream()
from modeler.api import StorageType
# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEQ_DEMOS/DRUG1n")
# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)
# Configure the aggregate node
aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])
# Then create the table output node and connect it to the aggregate node
tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)
# Execute the table node and capture the resulting table output object
results = []
tablenode.run(results)
tableoutput = results[0]
# Access the table output's content model
tablecontent = tableoutput.getContentModel("table")
HMszAaged g 59




# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), \
tablecontent.getStorageType(col), \
tablecontent.getValueAt(0, col)
col = col +1

A3zg Cl#D Hofl e &3S et o

o>

gfLlct.

=]

Age Min Integer 15

Age_Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugY

Record _Count Integer 91

XML ZEIX Dt
XML #EI*X e XML 7|8t HEIX0]| Chst HMAS

>

| SEfLICt.

=
RYe ChYtt o=

—

*x
S YHHOZ XPath A[EOM 2ot HEoiA AHIUS NEAYS SLULICH 0|2 Python

XML ZIHIX BE2 XML EME EAE2AM 2ESt=E g8 ZgLith. o
MEXZL H28h= Python 2HO|ER{E[E AESIH XMLE F& 4% = U4 YLt

API
H 27. API
2|8 HAE Ay
String getXMLAsString() XMLZ EXEEAM 2|HEL|Ct
number getNumericValue(String xpath) £XQ 2|H RHEE %= FE It &2
I 2[HYLICHOIE =0, 32 EdY
b OjX|ste QA9 £2 M),
boolean getBooleanValue(String xpath) XNEE 22 EWA Hoto| 22 ZUE
2|E gLt
String getStringValue(String xpath, String |X|&HE ZHZel OiXlst= &4 it £&
attribute) XML tE 22 2[HgLCH
29 22 getStringValues(String xpath, String|X|HEl HAZQ} 0Kt BE M43 =
attribute) = XML £ Zto| 2Eg z|EFLCt
EXg 229 22 getValuesList(String xpath, <List of | XIHE AZLl OiX|S5t= ZE &4 9|
strings> attributes, boolean ZEZ2 XML £E (st d2)at &
includeValue) M e|EBLCt.
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H 27. API (A1)

2|& HALE A

SHA| E|O|E (key:string, value:Tist of | getValuesMap(String xpath, String |7| &£MO[|Lt XML E 28 7|2, XIE

string) keyAttribute, <List of strings> Bl &4 2o SE2 HO|E UCE ME

attributes, boolean includeValue) |dt= SHA| E|O|ES Z|ETL|C

boolean isNamespaceAware () XML T2 247171 HdAoAE 2l
Algjof SH=X| O{RE Z|EHgL|Ct 7|2
2 FalseyLCt.

void setNamespaceAware(boolean value) |XML T2 2477 HAATOAS 2l
Moo St=X| EE MELLICL oA
2 LB reset()2 TESIH & TE
0| HEES MESIEE HESLICL

void reset () O] HHlx e ARE DE LHE KT
22Cf: HAE DOM QEHE)E H|F
LICt.

LEQL &9

Ol HIO|E2 HX ZHIQ 0] fRHE EYSH= FHS MMt LEE LIERLCh

B 28 LEQ =

LE 0|8 E£Y 0|E ol ID

iRge e xhy7| OR29 dde =Y "pMML"

"autodataprep" n/a "PMML"

ofdl A3ZE

HEIXO| AMASEI| 23t Python ATRE FEE O QAR & UASLICH

results = []

modeTbuilder.run(results)

modeToutput = results[0]

cm = modeloutput.getContentModel ("PMML")

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")

predictedNames = cm.getStringValues("//MiningSchema/MiningField[@usageType="'predicted']", "name"

JSON ZiElx mH

JSON ZiHIX HEH2 JSON g4 HHZE X|JZ HSot= ol AFSEL|CE O|A2 =&XHIF o™ Ztofl

HNALXE L0 ACt= 71" ool 22 FEY = UEE dt= 7|2 APIE MSLICL

API

H 29. API

2|e HAE Mo

String getJSONAsString() JSON ZHEIXE EXtEZ 2|EHghL|Ct,

H 5 &

[>
AT
o
om
il




H 29. API (A1)

2|& HAE Ad
QHME getObjectAt (<List of chjecta> path, | X|HEl HAZ9 QEHEEZ Z|EHTIL|Ct |
JSONArtifact artifact) throws|3EE= FE OfE[HEE= H 4 QIOH
Exception 3 AR X FEE ALEYLICE 2
HEl 22 2lHE EXY, H, ALt
22 g JSON OFE|HE(JSON 2=
E EE= JSON Hig)Y = UA&LICL
SHA| E|O| = (key:object, value:object>|getChildValuesAt(<List of object>|ZZ7} JSON QEHMEZ 0|11 FH2 X|
path, JSONArtifact artifact) throws | ™M=l ZZ9| st9| 2, JHX| o™ 4
Exception g 2|HELICL HolZe 7= EXtEel
g A=l g2 2HE EXYE, M,
AlAL} B2 £ JSON OFE|HE (JSON
QUEEE EE JSON HIZ)Y 2 UAL|
C}.
QHME Z5 getChildrenAt(<List of object> path|ZZ7 JSON HIEZ 0|= AL X|H
path, JSONArtifact artifact) throws|E ZAZ0| = QEHES 2 JHX|
Exception oto™ A3 2|EHTL|Ct 2|HEl g2 2|
HE 2Xtg, ¥, MLt B2 £
JSON OlE|HE(JSON QEME Fi
JSON Hig)Y == UASLICH
void reset() O HHIx ZHEu ARE ZE LR K&
Z7HOll: FHAE DOM QEHE)S H|g
LICt.
old A3EE
JSON dAlZ 7|HoE &3HE HMot= &9 &Y LEJF e 832, ME MEO 2ot HHEof| oH
NASH= O CHeE AHE8Y = USLICL

results = []

outputbuilder.run(results)

output = results[0]

cm = output.getContentModel ("jsonContent")

bookTitle = cm.getObjectAt(["books", "ISIN123456", "title"], None)

# Alternatively, get the book object and use it as the root
# for subsequent entries

book = cm.getObjectAt(["books", "ISIN123456"], None)
bookTitle = cm.getObjectAt(["title"], book)

# Get all child values for aspecific book
bookInfo = cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-level "books" value

# contains a JSON array which can be indexed
bookInfo = cm.getObjectAt(["books", 2], None)
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cm.getChildrenAt (["books"], None)

# Get a 1ist of all child entries

all1Books

0/0

frn
o

A

AE
==

o A

3

.
o
—

AZholl ch

StandardDeviation
StandardErrorOfMean
SkewnessStandardError
KurtosisStandardError

Count
UniqueCount
ValidCount
Mean

Sum

Min

Max

Range
Variance
Skewness
Kurtosis
Median
Mode
Pearson
Covariance
TTest
FTest

ojn
U

i



. ojog AE

Cf.
+ W@ LCE "o Mg Huy
= MgeLct

APg Jhs3t HEX BY 9

gotal 2|0l EETL X|

0 w= WEO| g CiE HE
g2 58 wool J|s o

ColumnStatsContentModel API

H 30. ColumnStatsContentModel API.

HE of theE

LE e 28 2RO

o|ZgfLrt.

EAYS MHE 2+ UBL
QO BB o ChSY SAY

2|&H HAE AE
List<StatisticType> getAvailableStatistics() o] ZHO| A8 7ts SHZE 2lHYY
Ct. 2E TSt 9EA ZE EAZO0
CHot 242 #Xe= YSLICH
List<String> getAvailableColumns () SEAFO| AlLt=l= & o|ES 2IHFLICH
Number getStatistic(String column, ot A= EA gtE =lEgLc
StatisticType statistic)
void reset () O] ZAHIx DM AAE D= LHE NF
372 H|IZL|Ct
PairwiseStatsContentModel API
H 31. PairwiseStatsContentModel APIL
2|H HAE AE
List<StatisticType> getAvailableStatistics() O] RE| ME Jts EAZE 2HEL
Ct. RE ZEJ HEA 2E EA 20
CHet 242 ZX|= LSLICH
List<String> getAvailablePrimaryColumns () EAZ0| A ARl 1kt & O|ES 2T
C}.
List<Object> getAvailablePrimaryValues() SEAZO| A= 1K ol e 2HEL
Ct.
List<String> getAvailableSecondaryColumns () SEAFO| ALE 2XF & 0|2 2|HEL
Ct.
Number getStatistic(String primaryColumn, | €1t A=l EA Zf2 2|EHTLC
String secondaryColumn,
StatisticType statistic)
Number getStatistic(String primaryColumn, |1At € 2t S 2Kt Euf HE EA 3t
Object primaryValue, String 2 g|EgLC
secondaryColumn, StatisticType
statistic)
void reset() O] AHIx DN AZEl BE LR XNF
372 HSLct
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LEot &9

Of HOo|E2 ZHX Z&9| 0] RIS EYdts =

mjo

-1 O

H 32 LEQF =,

Hyots =EE UEYLICL

ClolE HE wE)

LE 0| £3 0|8 g0l ID &n
"means" "means" "columnStatistics"

=y

"means" "means" "pairwiseStatistics"

(B2 L)

"dataaudit" "means" "columnStatistics"

"statistics" "statistics" "columnStatistics"

(BAH L5

=3 ot ANE get 4y

gLich

"statistics" "statistics"

(BAZ E)

"pairwiseStatistics"

Ofid| A38E

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []
statisticsnode.run(results)
statsoutput = results[0]
statscm = statsoutput.getContentModel ("columnStatistics")
if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " =

statscm = statsoutput.getContentModel ("pairwiseStatistics")

if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns ()

scols = statscm.getAvailableSecondaryColumns()

stats = statscm.getAvailableStatistics()

corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)

print "Pairwise stats:", pcols[0], scols[0], " Pearson = ", corr

", statscm.getStatistic(cols[0], stats[0])
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2 MHHe HHHS Ar26to] Ct21F Z0| IBM SPSS ModelerS Al&E £ QU&LICE

IBM SPSS Modeler?t MX|=l AEEOM DOS EE= HH TETE A2 A

CHetA BEZ [BM SPSS Modeler QIE{HO[AES A[ESIZ™ modelerclient B F o T 2l
=

£ YHSMHAIR. o|E =0, 51 Z&LIC

Moo=

modelerclient -stream report.str -execute

£ AME%tH o mat Mo HEstn AERIS EESHH, ATJZEES 4
x A
ES

UAgLIC

o [

HHH ol EeaetiE BEE)E X7 modelerclient HEHO| 37t5t0] IBM SPSS Modelerl =&

g Hag = AU

o2 71X Rl HHY QI+E AEY = UM, 0| Ho| F[ofA HHLLICE

E 33 33Y ¢+ RY.

o 2d FEEEICEY

AAH ol4 AASt HEE [8 HOX[S] TAIAH ol%) | Ligg &=
SHAAIR.

24 Qlx RSt HeEE [0 HOXO T@x olFy | Lge &=t
AMAI2.

Ne oAF el AA$t HEE [fo HOX[O] TAHH HZ ol%) | Ligs &
XoMA 2.

IBM SPSS Collaboration and Deployment Services | XtMIeh H& = |71 H[O[X[S] FIBM SPSS Collaboration and]

Repository HZ& QI [Deployment Services Repository HZ& 4=y o] LiES #t
oA L.
IBM SPSS Analytic Server ¢Z 2l XbM[et M= [72 TO[X[S] TIBM SPSS Analytic Server &

EOE bl hes axerAe.

0|2 £0{, -server, -stream, -execute Z2{1Z AR50 MHO| HZESH = C23t 20| AEZIS
_—

St M & QALICH

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

2Z ZciO|E HZ0| ofsll e s M HZ Qla7t 22 glES HUSHAIR.
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H
=0

]|
i

ol B2 2M3EE |§2 & UASLICH of:

modelerclient -stream mystream.str -Pusername="Joe User" -execute

-state 9 -script Z2i3E AF235t0] IBM SPSS Modeler AEff 3! AITIES 0] WAloZ

i
N
=

Hu: M Xt B8 AESHs 4R WSE A0 HSHAE MASHOF LI O|H2 ZEXt
E olid ol WSEIL MAHEX| A o

E TFHO| ofdui= &

HEY)0M BHHUAM HEE= EE E—’.‘—-O—I EI% i.*o._lg T AL

00|'

S5t2{™ modelerclient HHS ALE3I0] IBM SPSS ModelerS &st= Q142 T
H5t
C

Iz

=

[0

|
i L

CtS HIOIS2 AMEXF QEH|O|AS] FHY 0| AHE

E 34 NA” s

ol iE/4Y

@ <commandFile> ot o|E0| FHoll 2= @ EXts B SES XIHYLICL modelerclient?t @E A|ESt=
Ql~E DA ot mlo| HRHo| HFH U= AT HHES HSYLICH XME HE
= [72 Ho[x|e] TCix ¢l Zehy ol LHg2 &ZshAle

-directory <dir> 712 =Y CjMER|E MEELIC 22 ZEoAME o CIAMERIE HO|H U £ 2R

=

o 2o ©|op ric
o I |03
I r
| &

. Ofl: -directory c:/ = -directory c:\\

ot 7|2 MH ClE2|E AFeLCh -directory SIS M8 XHE =
E2l= E3Ho| AL

in)
fol3

m
i
-0

-server_directory <dir>

r

L s
J

-execute AlZSE =, AIZE A0 2EE RE AER MEf = AIZEE MEBL|CH ASEEI A
EZIoIL} ME{0ll FII2 EEEE= ER AIZYED MAEL|CL

-stream <stream> AIZH AlOfl XIHEl AERIS ZERLICH OFF AERE XFEY £ UKD, oiX|2ez X|H
=l AEZI0| X AEROZ MMEIL|CS

-script <script> AZE Ao, XI™ME S2Y ASIZEE ZERILICE O|AH2 Of2{olA MESH= AERIOL A
Efoll £7t2 XIFE £ UXITE AIZf Alof] Tt StLte| ASREED 2EY £ QUSLICE

-model <model> AZ Ao, XIME MYE 2= (.gn @A TS Z=TLICH

-state <state> AEE Alof], XI™E K& MEHE ZEBfLICE

-project <project> XNyEl Z2HMEE Z=BLCEH AR Ao TF otLte] Z2MEQL Z2ESH £ QJUBLID

-output <output> AlZE Ao, MEE 28 QEME(.cou FA IYHE ZEFILICH

-help HFH Qo EES HAIYLICH 0 SM0| X[HEH CHE ZE Qs FAED =3
StHO| EA|EL|C

-P <name>=<value> Az 245 HAHSE O AABYLICH L& ENER 24)2 dF¢te ol 48 22

Tl ClEET AFSRE QIEHO|A A MRS 4 YBLICH SHO| HNARB, T o0
xtel ClER| MY E= MY ClES] MFg e
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HHMOM ZEL= 2t QENMEN CHot 23 QI&E BEESI AZf A0 OtE AEZ ME|, £H2
2 £ JUELICE o|E S0, report.str & train.str0|2t= & AEZIS 256t MAlsz{H C}
2 BHS ArEELct

modelerclient -stream report.str -stream train.str -execute

IBM SPSS Collaboration and Deployment Services Repository0jA| @EHE
==

IBM SPSS Collaboration and Deployment Services Repository(AtE#O0| U= ER)E
le

L
5 H QEHES 2EY £ 7| R0, oY O|F HFEXt spsscr: B MENOZ file: (T
A39| QHHEE ZHR)2 IBM SPSS Modelert| QEHMEE X2 K|E XAlgLICH MFEXH= Cf
2 St e Aot

* -stream

* -script

* -output

* -model

e -project

HESXE AL QEMES] 9(X|S XMt URIS EHIBHLICHO: -stream "spsscr:///folder 1/
scoring_stream.str"). spsscr: MFEAZF A2 IBM SPSS Collaboration and Deployment Services
Repository0l| it Rt AZS sLe FOIM XIF8ioF SfLICL matM o S0 Al FFH2
CtEat |ARLIC

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-SpSSCr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

HHHO| M= YLEA| URIE AHE8HOF BtS HUSHYAIR. O ZHEHSt REPOSITORY PATH= K[REX| of
SLICH (AZEE LO|MEE 2S8L|Ct) IBM SPSS Collaboration and Deployment Services
Repository0l Al @M E0| thst URIQ| XtM|eH LHE2 [54 H0]X[2] TIBM SPSS Collaboration and|

Deployment Services Repository2| QEHME HNA | | FHE EHESHUAIL.

IBM SPSS Modeler2| 3 A Fof 245 SHIZ2 MEY £ UASLICE Y A+0M -p

= =
ZelOE -P <name>=<value> FA9| DLE HA|SHE O ALREHL|C

Bz 2E). 0|5 R4t AE0AM w9 A
Al

0
[78 WO[X[o] TE EXN JfQy | THES ==Xl




« IBM SPSS Modeler?| s=2 HZASH= O AI25t= HHH

H

A
0.

HE =0, St 20| HojH a4 ALEX O|F2t H
Ct.

THEAH SHI=ZM MSE = AL

5
rE
o
mlm

modelerclient -stream response.str -P:databasenode.datasource="{\"ORA 10gR2\",userl,mypsw,false}"

&Al2 databasenode | datasource 2o HAIDL ZHELICE XtMISH HE= (90 HO[X|2|
| Fdatabasenode 4 [ &Z3HUAIL.

n
m

X
o

B2, 0K 270 true2 ZFE[O{OF BfLICH EESH AFEX} O|F &
Mol A= ER 2lol= HO[EH|0|A AR O|F 5! H[ZHZ O 2o

&D: Lot 0|8 XIFEH LE 0|52 E2MSER F1 MSHEE WEHAIZ O|AHO|ZsOF FL
CH. olE =0, 0| o9 HIO|E AA LEJ} Source ABCEt= O|ES e 2% YH2 O3 25
L|Ct.

modelerclient -stream response.str -P:databasenode.\"Source ABC\".datasource="{\"ORA 10gR2\",
userl,mypsw,true}"

CtS TMI GIO|E &4 ofofMet 20|, Fxst B4E MESHE A8 £29| oo WEAl: LY
L|C}.

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator

-execute -stream C:\Share\TM1 Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/
pmhub/pm"

-P:tmlimport.tml _connection={\"SData\",\"\",\"admin\",\"apple\"}

-P:tmlimport.selected view={\"SalesPriorCube\",\"salesmargin%\"}

A-IH-I E |_'I'
-server =2l 1= IBM SPSS Modelerd| Al 28 AHO| HZslof &= X|A|st1, -hostname, -use_ssl,
-port, -username, -password, -domain Z2{1= IBM SPSS Modelert|H 38 AMHO| HZst= 4

HE XIAlSt= Ol MEYLICL -server @l7t X|HEX| QfQH J|2 E= Eaél MHE AFELICE
ol

S8 MH0| HZSHHE LSS AL

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

M 20| HZsHHE LSS AL

modelerclient -server -cluster "QA Machines" \
-spsscr_hostname pes_host -spsscr_port 8080 \
-spsscr_username asmith -spsscr_epassword xyz
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M ZEo| HZSIEH IBM SPSS Collaboration and Deployment ServicesE &%t ZZ2MA XF

X7t HRSIEE, -cluster 27t 2|XX|ER| HE ZM(spsscr »)dt ZOZ APROH Fgte|ct Xt

Mgt HEE | IMTBM SPSS Collaboration and Deployment Services Repository &2 Q137 [0 LY

22 HESIHHAIL.

H 35 MH HZE Q.

TP ST

-server IBM SPSS ModelerS A{H EEOHH MBI, -hostname, -port, -username, -password,
-domain Z2IE A0 3& Ao HAFLICL

-hostname <name> MH HAlo| S AE O|FQLICL AMH REO|MTH AME JHSELICE

-use_ss] HZ0| SSL(Secure Socket Layer)2 AtEdHof &S X|FBLICE O] ZEid= MEiAtE
QLICE 7|2 MH™ES SSL2 AESHX| Y&L|CH

-port <number> KNEE MHel ZE HmILICL AMH REO|MTH AME J7HsSELICE

-cluster <name> O|E XIFE M7} ofL|zt AH ‘._L”éloﬂ CHot HES XIFLICE O] Ql4~& hostname,
port, use_ss1 Ql4=2| CHOtRIL|CE O|E2 =

=% 0|& HE= IBM SPSS Collaboration and
Deployment Services Rep051t0ry01|k| TS AE5l= 1) URIYULCH MH ZE2
IBM SPSS Collaboration and Deployment ServicesE S8t ZTEMA ZFXtol| 2d
2ta|gluict, XMlst ME = | ITIBM SPSS Collaboration and Deployment Services|
[Repository HZ Qg o] LHES EZotHAIL.

-username <name> MHo| 2325H= AMSXF O|EYLICE MH EE0AMEE AHE JHsELCH

-password <password> MHO| 2326t= H|ZEHSQILICH M EEN AT AR 7}%@ L|C}.
B -password QIS AMBSHK| OM ASXOA HIYHSE TETEFL|CL

-epassword MHo| 2325H= QIR E HIUHTAL|CH AMH E'Zoﬂkl':” AHE JHsELC

<encodedpasswordstring> 1. QAYE HUHS = IBM SPSS Modeler OHZ2|A|0|H2] =7 HFOIM HME &
Uq&Lct

-domain <name> Mo 2328H= ol AF8%te THQIYLICH M REOAMEE AME JHsELICE

-P <name>=<value> AlZ 245 HHESH=E O AMBELICE E EHER B9)2 46 O MA8Y 2k
Uq&Lct

SPSS Collaboration and Deployment Services Repository HZ 2l
HFAZ S IBM SPSS Collaboration and Deployment ServicesOlA QEMEES XESHHLE
Mateis 29

PSS

Y oY

IBM SPSS Collaboration and Deployment Services Repositorydi| CHe F=ot &
HOF BfLICH KIE =

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-Spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring stream.str" -execute

CtE EIOl=

ro

HEs H2Fsl= O A8 £ A= A+E UE

I

L{ct.

HE 36. IBM SPSS Collaboration and Deployment Services Repository HZ 2l

A
o1 EEIRE

-spsscr_hostname <EAE 0| E= TP F | IBM SPSS Collaboration and Deployment Services RepositoryZt AXIE A

A> Ho| TAE 0| Ei& IP FAYLIC
-spsscr_port <number> IBM SPSS Collaboration and Deployment Services Repository?t HAS &

Qots ZE HoYLICHYEHHZ 80800 7|=Z).

H o6 Z

of
o
0%
ro
4>
|
(=



H# 36. IBM SPSS Collaboration and Deployment Services Repository A& Q= (HZ)

A
IR SEIEE

-spsscr_use_ss] HZO0| SSL(Secure Socket Layer)S At8dHof g2 X[™ELICt o Eaid=
MeEfAbsteiLICt 7|2 MY SSLg AEdtX| g&LICt

-spsscr_username <name> IBM SPSS Collaboration and Deployment Services RepositoryOll 23215t
= AHEX} O|SYLICE

-spsscr_password <password> IBM SPSS Collaboration and Deployment Services Repository®l 21215}
£ HIZHS LT

-spsscr_epassword <encoded password> |IBM SPSS Collaboration and Deployment Services Repository0| 21215t
£ AILE HIYHSYLICE

-spsscr_providername <name> IBM SPSS Collaboration and Deployment Services Repository(Active
Directory fE= LDAP)M| 232%t= ol 215 HMIXIH AFZELCh o= ¥
2(2Z 2[EXNER]) MSKE AEdts 3 EROHA| BSLICH

IBM SPSS Analytic Server & QI
FIAS Sl IBM SPSS Analytic Server®iiA] RLEMES Mg E= HM5I2H{H IBM SPSS Analytic

ServerOf| CHet 2o HZES X|H™s{of grL|Ct.

&1 Analytic Server®| 7|2 ?/X|l= SPSS Modeler Serverd|M 7t ZLICE ALEXI7F = > Analytic

Server HZAES Sl 117 Analytic Server HZE Fo|g = JUELICL

Cg EHolge HES M¥ss o A8Y & Y

rr

5 LIGRLIC)

H 37. IBM SPSS Analytic Server A& Ql=

ol IE/aY

-analytic_server_username IBM SPSS Analytic Server®l 2128tz AL&Xl O|ERILICE
-analytic_server_password IBM SPSS Analytic Server® 21238H= H|YHSL|C
-analytic_server_epassword IBM SPSS Analytic Server®l 2 1235t7| 2ot QIR E HIUHZAL|C
-analytic_server_credential IBM SPSS Analytic Server® 2I28H= O At8dts A H=QL|Ct
fhE o4 2

@7z U 3 5HE 2= ItY 0|2 AM8SIH =& Alof X[™E= oY FE oo CHE 28
28 4 YALICH 01212 T S22 DA 2 Lolo| i3t B 2 HH BAHE 32
2 JUELICL OE E0f CHS AR B2 <commandFileName>L 2 HZEE[E MUOA X|FE= 2l
£ AEgLct.

modelerclient @<commandFileName>

Zuwo] W9l A9 WY 012 Y HY I f3t FRE GBEE FOMAIL.

modelerclient @ "C:\Program Files\IBM\SPSS\Modeler\nn\scripts\my_command_file.txt"

oY IfUS W ofLiel Q148 T AR Ao HHHOZ ofFH0| NFE BE Q4S8 Ty 4 9
A
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-stream report.str
-Porder.full_filename=APR_orders.dat
-Preport.filename=APR_report.txt
-execute

ratof efL|ct.

In

SHA| OHYAIL.

M6

Xt
=]



o

E|
o
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=
~
02!
Jim
0z
1Las
kA

H o Jim
0x
113
I
S
<0}

C, AEQ DZNE 5l M0 e fH2 CHE EME XFEE & YSLICL 0|, FM(An-
notation), =7E Z2 YE EMR ZE Lo SSHQ HHH C[HE E42 §F 39 Lot
ZHARLICE JIE EM2 A EE fHEE ZE 22 MR o7 AEE HUS HZTLICL EM2

& ALEXt QIEHO|AE Soff HNAT 4 JOMOGIE 50, ==0| izt FHS HESHI| L[l CH
St MXIE E ) CHE 402 YWHOZ A T UELICE
« O oM M= U2, ASREE Sl E42 +8Y + YSLICL 7t HEE [ TEN 1E)

o LHBE H=ZSHHAR.

« LE EN2 2OLE ZH0M ABE 3 JUSLICL
« LE EM2 IBM SPSS ModelerE A& mf HHM M| ULEZE(-p S2IE AESI0) ALE
g £ JASL|CH

IBM SPSS Modeler LHO|AM A3
LIC} O] QHHMOIME L E Es= AER EMOZ

|>

S olofol e KIS FEs EIEY JIole AXEHIAlL.

H o

sy 22

EM2 OIS 122 M8t dFY 5 USLICH
OBJECT.setPropertyValue (PROPERTY, VALUE)
T=:

O{7|M OBJECTE == EE= ZZ0|11, PROPERTYE EHA0| HZoteE &
7t = E42l 7| UYLICL oE &0, OIS #+&22 EH

AEZ HO[HUM Age HEE EHISIEE 7|22 HFELICL
filternode = modeler.script.stream().findByType("filter", None)

filternode.setPropertyValue("default_include", True)
filternode.setKeyedPropertyValue("include", "Age", False)
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IBM SPSS Modeler®0lM At2stE 2E === AEZ! findByType(TYPE, LABEL) &2 AIE2SI0] &
o A

A
= &= UASLICL TYPE = LABELS| SfLt O|&2 X[H3HOF 2L Ct.

ASZE0| T2 BMY Of FHLYS FYAI| o RS SHS ABSH £ X W0l UL
ct.

. 9%, LE| = PY LS 22 28 o ofg SN0/ 0|20 REE Roiety| 9ol

. B HOl OE SN2 T A HAS MBI Sl

HO|Z S 7|Et 28 QHMHO|AE Zt= LEO: Y, ZH, #d o) AZIZEE SHIEA &
2M5H7| 2 EX™ot X E metor gLCL ol EME th AlEXto| it o|EELCH STt 0|8
O Ee3otd|, o] 0|2 7[2t EELICE oE S0, EE L& LN 2 A8 Tt HE(PAER
Zo| /}=)7t AX[ALE HELICE o] MEE EZESH| fI8iM BHE Es= TEY HEO o a==
ZET} true = false?lX| )2 XMELLICE O] EME True & False 2 72 HE= FO
A ) JELICE mynodeZts BE LEJHYAEE o) Agest= HEE =01 JHESHUAIR. Of
Ag D™ Ch3ot 20| Age 7|1E AFESI0 include EME False ZCE MHSIHAIR
mynode.setKeyedPropertyValue("include", "Age", False)

e o Fe g oy = Tesres T
TE E= W 202t ST

US F0l= RESE SNO| 0j2 B 4 YALICE o= CHST ZBLC,

—

sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age", "Ascending"], ["Na", "Descending"]])

TXotE EMO| 4= E CHE HE2 LBt SNET| Mo =0 o Ed2 M= 7IsYL
Ct. 7|2XMO 2, CE MEs HE E4 A2 7[HC=E o =X[E Fot7| Mo ZE EME =82
£ AYELICE olE S0, 0™ MY LEE Folg mf 2 tHAE AESIH HE EMEZ2 MHSIH 27
7 HMBLICH & MEO| RR R MUK LEVF AE|X| 7| fERLICH EHE OF HNEZ
M HolgtH Ho|H RES HHO|ESH| M| & EME E5F MHSIH 0] EX|AO0| LMsHK| &L
Cf.

of0f

LE EMO AZ HMAHO|AM EFE AE ALELLICE A0E aiEotH AIZEE A4 f =30| &
L|C.

H 38 7 THO|A AMESH=E BE 20

oFof =l

abs HoHat
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H 38. 712 TAHOIM ArESt= BEE 2f0f (AH)
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H
ol <|
H d
K | T <k
A_._: Tl
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=| S
| <l W
oo |d|T || H|o| = 86K |
o |[WU|®T & |<0|Ho | & | & |Wk|rd |k
— o,
0| B @
mn.mwﬂvmtmar
gri8|g||S|8|2|8|E|x|E

E42 IBM SPSS Modeler®| A C}

2|
[=]

3 AE
Lt 2 S ASetoty| /8 Algsts S8

=

LHOlM Z2MAE XHSSFSH

2|
=

AE

=
| REEM 7Y &

Clol

A

CC
a

A3ZYE

-
x|

Lick

F

.
o
=]

OF A2

b
Al

2 AME83I &

EM
-1 o

c

FHEE WHOM =

0l

BYY 24

<
s

ENZ IBM SPSS Modeler AIZS 2
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.max_size Of
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=E E4 iR
LEO Zt RYUE IRt HHAN Ed MEE #1 AeH, 2 EH2 Lol RYEE ASLICL o] &
82 549 0|2 MFO| SHIZ RYUOE ANTE UH RUEK, BA1 = BXY) U 4 3
SLICt 0|2 ZAHY £ gl 42 2LF7 &MetL|Ct £= E4 E=7t Discard, PairAndDiscard,
IncludeAsText €2 =HA Zto| HRIE X¥Y = A=0l, 0| 20l CIE U8 AI8SIH 277 &
MEILICH B21 SHE true U falsed US ALEBI01 27ILE AHBIO} BLICL (OFf, OFF, off, No,
NO, no, n, N, f, F, false, False, FALSE BE= 02 E&st HYT ZtS AAE uf olAlzx|at ofEH A
2oz EM U2 22 M RLFE YUY = JSLICE J[EF BE U2 trueE ZHFELICE truet false
E LU A 8ot= Aol =52 mg 4+ USLICL) o QMo &=E HOA, LXRE EM2
E4 dF oMt Zo| EARH, AHE FAlo| MSELICE
35 LC 54
o2 EMO| IBM SPSS Modelerd]] e RE LE(FHLEE Zeho| SEXHQULICE
H 40. 38 & §4
E4d 0|2 clole |3 E4 MY
use_custom_name flag
name string HHAL| 20| CHSE O|E(RHS E= A
X o)) = 7| M8 EMAULICE
custom_name string LEo MEXF Fo| 0|2 XIFHELICE
tooltip string
annotation string
keywords string QEMEQR} AR J|YES FES XH
st= xE3HE E2(Of: ["Keywordl"
"Keyword2"]).
cache_enabled flag
node_type source_supernode RYLEE LEE HXSH= O AL8Ste
process_supernode 7l M8 EMAULICH WHE =9
terminal_supernode real_income 20| O|ECE LEE ¥
ASIREE 26 XNFHEE EE Zot= A, userinputnode EE
A3EE filternode €2 |RIE XHE &= USH
LICt.

AE S5

SRS

ELCE XpMEt 2= 369 HO[X[2] X 21

78 1BM SPSS Modeler 18.1.1 Python A3ZE % XE3} QLA



o o a a a =
o o gHS AsMoF gt

stream = modeler.script.stream()
stream.setPropertyValue("execute method", "Script")

Of| |

== 42 A AES| =EZ2 HXSHE Of AISELICL CfS AEY AIYE} OIS MBHLICL
stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "\n\nThis stream is called \"" + stream.getlLabel() + "\" and
contains the following nodes:\n"

for node in stream.iterator():
annotation = annotation + "\n" + node.getTypeName() + " node called \"" + node.getlLabel()
+ II\IIII

stream.setPropertyValue("annotation", annotation)

9lo] o= LE EMS AFBSIO AE Yk BE Lo 222 XD oY BES AEY X
Mof| 7|SLICE WHE M2 ChEa gL ok
This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to K"
variablefile node called "DRUGLn"
neuralnetwork node called "Drug"
c50 node called "Drug"

filter node called "Discard Fields"

AEZ| EM2 Ch3 EolN MYELTh

[} o [=] =2o-d

H 41. AEZ EN,
E4 olE oiole &% £4 €9
execute_method Normal

Script
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ool f

Aim
%

nx
oZ

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

g Q YYyy

ww WK YYYY

date_baseline

number

date_2digit_baseline

number

time_format

"HHMMSS"

n HHMM"

IIMMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS*"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

time_rollover

flag

import_datetime_as_string

flag

decimal_places

number

decimal_symbol

Default
Period

Comma

angles_in_radians

flag

use_max_set_size

flag

max_set_size

number
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=4 0IE oiole &% Ed £9
ruleset_evaluation Voting
FirstHit
refresh_source_nodes flag AER HH A AA LES XSOE M|
2 OX|7] 2l AR ELICH
script string
annotation string
name string H1: of 542 7| HEYLICE. 2EE
ol olg2 #FlEE B2 OE olgo
2 XEsloF ghct
parameters SEd ATZE LjoM AER 2B
UClo|ESEH 0] EME ALESIHAIR
nodes ofzHe| &Ml HEE HZESHUAR
encoding SystemDefault
"UTF-8"
stream_rewriting boolean
stream_rewriting _maximise_sql boolean
stream_rewriting_optimise clem_ boolean
Ay
stream_rewriting optimise _syntax_ |Doolean
o
enable_parallelism boolean
sql_generation boolean
database_caching boolean
sql_logging boolean
sql_generation_logging boolean
sql_Tlog_native boolean
sql_log_prettyprint boolean
record_count_suppress_input boolean
record_count_feedback_interval integer
use_stream_auto_create_node_ boolean True?! 2% AEZ EXF 4TS AMEY
settings 1, 2K OB ARX} Ul HHS
AFEELICE
create_model applier for new_ boolean True?! 2% 2E ZM7|17t Mf 2HE F
=g Mto], meo] 24 elulo|E YAE 2
X oo, A 2E HEXIF FIHELIC
F1: IBM SPSS Modeler Batch H# 15
2 A8 B9 FS A3YE o 2
HEXE HAIHMC=z FIIsfjof gLC.
create_model_applier_update_links |createEnabled DY MEX LEJ NHSCE FIHE
createDisabled e Y30 QES Mol
create_source _node_from builders boolean

True®! 2L AA ZHMII7F M aA &
2

-

=




E 41. 2EE™ &4 AH).
£4 01§ Clole |¥ £4 49
create_source node update Tinks createEnabled AA LCT ASCE FIHE I RME
createDisabled L 2l39 282 XMo|stL|Ct,
doNotCreate
has_coordinate_system boolean TrueQ! 2% ZEAE M| AAHO0 =
ggct
coordinate_system string MEREl EFE ZHEAS| o|SLICE
deployment_area ModelRefresh AEZIS e dHg MEfSHAIR. O]
scoring 0| NoneQZ MFE|H J|Et HIZ o=
e O] AMBEX| gt&LIC
scoring_terminal_node_id string AERIOIM ATOR EI|E MEiSHIA|
Q. AEZo| DE HO|Y LEJ} H &
UA&LICE
scoring_node_id string AT Z27(0IM H2lE MESHYAIL.
model_build_node id string AERIOIM ZHE LES MERSHYAIR.
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1 | E
BE AA LB 38X 40| of2iof LIEE =0, FIIEs FHof 8 =0 it HE7}F o
H EA[ELICE
ol 1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full _filename", "$CLEO DEMOS/DRUG1n")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values”, "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setkeyedPropertyValue("direction", "Age", "Input")

of ASEEE= X|HE HO|E ol tHE Al EXES LIEILA= RegionO|2t= EES EoC
L

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full_filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat_square brackets as Tlists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom storage type", "Region", StorageType.LIST)

# ...and specify the type if values in the 1ist and the list depth
varfilenode.setKeyedPropertyValue("custom 1ist_storage type", "Region", StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom 1ist _depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...
varfilenode.setKeyedPropertyValue("measure_type", "Region", MeasureType.GEOSPATIAL)
# ...and finally specify the necessary information about the specific
# type of geospatial object
varfilenode.setKeyedPropertyValue("geo type", "Region", "MultiLineString")
varfilenode.setKeyedPropertyValue("geo _coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate _system", "Region",

"ETRS 1989 EPSG_Arctic_zone 5-47")



H 42 AA LE ZE EM,
EY 0| Clole /4 E4 49
direction Input Zc oo oist 717t e EMYULICE
Target INE= = EN
Both NODE.direction.FIELDNAME
None D g In ¥ out2 O|M O O|A ARSSHX| gh&LICE O
Partition E0f cigh X2 xix 2|AoM HIE & ASLICH
Split
Frequency
RecordID
type Range oo RERLILE O EME Default2 HAH™SIH HE
Flag values 54 MA™E X|20, value_mode?t Specify=2 HHE|
Set M ReadZ MAHELICE value mode?}t O|0| Pass & Read
Typeless 2 HHE Z2, type HO| Qe FeS 2X| SLICH
AHE HAL
Discrete
Ordered Set NODE.type.FIELDNAME
Default
storage Unknown ZE & |90 cigt ¢17] M& 7171 = EMULICH
String AHE Al
Integer NODE.storage.FIELDNAME
Real
Time
Date
Timestamp
check None LE Y I Hel Aol chet 7171 = EMYLCL
Nullify AHE Al
Coerce NODE.check . FIELDNAME
Discard
Warn
Abort
values [value value] HEHEE) HEQ ZE2, M Hm gt2 X agto|n opx|at
U2 HCHZULICH BEY(Ha) HES ZR 2E Us X
A2, E2i0 HES 22 X WM U2 falseS LIEILY
1, Ofx|ak gk trueE LIEFHLICE o] EMg dXoIH K&
OF value_mode EME Specify2 MHTLICL ME Z7H2
2Eo| X Hw Zf2 7|HtoZ DHHEIL|CH O S0, X ¢
W 20| string?l B2 ME Z7H0| EXEE HFEELCL
g "4l
NODE.values.FIELDNAME
value_mode Read CHE ClolE MEolM HEof it 2ho] ddE = dHe o
Pass LR
Read+ A YAl
Current NODE.value_mode.FIELDNAME
Specify 0] E4E Specify2 Y HEY = Q22 AR §
M 2 MEsIEE values EMS MFESMAIR
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H £ 22 LE ZE EN AS).

=4 ol Hioje] /¢ =4 &89
default_value mode Read DE Hoof chet gt 4EE flet 7|2 wHe XI™LCh
Pass AHE g4

NODE.default_value_mode
O] #F2 value_mode S-S A 7 0| Chsh i
Mg & AGLICH

extend_values flag value_mode?t Rend2 2FE o HEELICH =0 Cigt
olo| 7|E ol M= ¢i2 S F7IoHE T2 HFEHSA
2 Mz 2 U il 7I1E g2 MHSEE FE HEsh
A2,
A8 "4l
NODE.extend_values.FIELDNAME

value_labels string o 20|22 XFsh= ol ALt ghol MX X|FE & 0fot
e HUSHHAIR.

enable missing flag TZ HHEH B thet A& FHE ZdstefLc).

AFE AL

NODE.enable_missing.FIELDNAME

missing_values

[value wvalue ...

]

A2 BASH= OIolH gte XIggL
AHE Al

NODE.missing_values.FIELDNAME

range missing flag 0] EM0| TZE MMM ZEZH(SH) He{7I ZEof s N
Ol=|=X] R E X|HTL|Ct
ALE HAL
NODE.range_missing.FIELDNAME
missing_lower string range_missingO| true® M, 2zt B2l stet2 XHEL
C}.
INE= 2= ENH
NODE.missing_lower.FIELDNAME
missing_upper string range_missingO| true® M, 25zt HelQ Aotg XIHTL|
C}.
INE= 2= ENH
NODE.missing_upper. FIELDNAME
null_missing flag Of Edo| T= 2FE o, 2(AZEOIM $nul1$Z HA
El= FoE[X| ef2 ghe AZRAUcE ZtFELCL
AHE HAL
NODE.nu11_missing.FIELDNAME
whitespace flag O] EM0| TE HHE mff, (3, & 5! & HRI))t
missing gtot= 2 AZFUCE ZtFELCH
A YA
NODE.whitespace_missing.FIELDNAME
description string ZE 20l E= MEE XHot= O AEELICL

=]
0
k>
[>
H
In
m

x
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H 4 22 LE ZE EN AHS).

=4 0|§ Hiole &% Ed €9
default_include flag 712 &30 HEE M L= THSHE AKX HEE X
ot 717t = S|
NODE.default_include
ofl:
set mynode:filternode.default_include = false
include flag W WEJH TatE|=X| Ol HERELCX| OfRE st
£ O M83t= 7|17t U= E4:
NODE.include.FIELDNAME.
new_name string

measure_type

Range / MeasureType.RANGE
Discrete /

MeasureType.DISCRETE
Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
Collection /
MeasureType.COLLECTION
Geospatial /
MeasureType.GEQOSPATIAL

of 7|7t A= 5’88 Zeet AztE £¥s FAdstes o A
L|c

T = ®de

8g £ UChH= oM typent H|g = HE Python
ATZEIO|M setter &4 MeasureType 29| StLtZ M
2 e BHH getter= T4 MeasureType O 2|EHBHCH
Mot

collection_measure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG

Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET

QUTHE WE(09 20|12 e =
He2 7|2 ot dEE BN RYS Mot

Typeless /
MeasureType.TYPELESS
geo_type Point X237t HES| A2 o] 7|7t /e E4& 0o E=of| <fsf
MultiPoint HAEE X237t REFES R¥EE FogLICL o|/2
LineString o =5 Zo|et YHE JHNOF L Ch
MultiLineString
Polygon
MultiPolygon
has_coordinate_system boolean X|2|3zt HEQ E 0] EM2 o HEJI REAE =Xl
2E FojgLct
coordinate_system string X2lgzt 229l d2 o] 717t /A= §4o| o] H=9| 2H
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B 42 AA LE ZE EM AS).
£4 0|8 Clolg R¥ g4 49
custom storage Unknown / ol 717t = EME HES OiNl XM& Jztg Fodt= o
type MeasureType . UNKNOWN Ar8E 2 QUCH= HOA custom storage@t SAFEILICE Ct
String / 2 ™2 Python A3ZY0|M setter &4~ StorageType 2t
MeasureType.STRING 9| StLIZ HEE = U= UHH getter= L4 StorageType
Integer / oM 2[EHBCH= FYLICH
MeasureType.INTEGER
Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType .TIMESTAMP
List / MeasureType.LIST
custom_list_ String /| =8 HEQ &< o] 7|7} = EHO| 7|2 we NEH /Y
storage_type MeasureType.STRING £ X|-gLct
Integer /
MeasureType.INTEGER
Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP
custom_Tlist_depth integer =& gco Z2 o] 717t = E¥2 "HEQ FH0|E XH
gLt
max_list_Tength integer £H &0 JE|E| F7t = SHMQI Ho|E{of|gt AIZE
ABLICL S=20| T 4 Y= 22 22 KWK 229
AL Zo|E HFEIAIRL
max_string_length integer F0| gl= Clo[Holgt AH8E =+ USH HIO|ES ZHAMG|
7| fls SQLE Mg mf ARZEILICE CIOIEoIM Tt 2 2
X gt YEstAQ. J2H 2XEE Zgsty|of &9
0| E|O|=0l| HMEL(C
asimport 4
Analytic Server &2AE AFE3HH HDFS(Hadoop Distributed File System)0|A AEZIZ Maigh 4
AELILCE.
Off |
node.setPropertyValue("use default_as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080","analyticserver","ibm","admin","admin","false","","","",""])
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H 43. asimport E4.

asimport £ clole |d EM MY
data_source string Hlo|E aA9| O|F
use_default_as boolean True2 HFY Z2 AMH options.cfg

ool #HE 7|2 Analytic Server &
Zo| ALEELICE FalseZ MY 2R
g =9 HEO| AFZE UL

connection ["string","string","string", |Analytic Server & MFA0| Ttz
"string","string","string","string", | 22 EMQL|Ct YAl
"string","string","string", "string" | ["is_secure_connect", "server_url",
,"string"] "server_port", "context_root",
"consumer”, "user_name", "password",
"use-kerberos-auth", "kerberos-krb5-
config-file-path", "kerberos-jaas-
config-file-path", "kerberos-krb5-
service-principal-name",
"enable-kerberos-debug"]®IL|Ct. 47|
M is_secure_connect:= EOot HZA A}
2 O{8E LIEILHH, true = false®
LIC}. use-kerberos-auth:= Kerberos
QIZ AL O{EE LIEHHMH, true &
false®IL|C}. enable-kerberos-debug: =
Kerberos 2152| C|HI ZE A8 &
£ LIEHHH, true = falseQL|CH

cognosimport =E E4

IBM Cognos &4 E= Cognos Analytics Cl|O|E{H|O|A0M HO|EHE 7t ZLICE

@

.,

Of| |

node = stream.create("cognosimport”, "My node")

node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/serviet/dispatch",

True’ IIII’ IIII, IIII])

node.setPropertyValue("cognos_package name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].[BRANCH CODE]", "[GreatOutdoors]
. [BRANCH] . [COUNTRY_CODE]"])

H 44. cognosimport £ E4.

cognosimport = EM Hiolg 84 EM MO
mode Data Cognos HIO|E{(7|22)) E= EIME IHEX
Report EE X™ELICL
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H 44. cognosimport =E 4

A%).

cognosimport tE EH

HiolH fd

E M
4 2%

cognos_connection

["string” flag,"string”,
"string” string”]

Cognos MH{0|| CHet &
£ Educt €4

a4 MRARO| ZBE =
o A2
["Cognos_server URL", login_mode,
"namespace", "username", "password"]
o71M,

Cognos_server_URLS AAE ZE&SH= Cognos
ME S| URLYLICE

Togin_mode= 2E ZIQIS AE3HEX| GBS
HEAISHH, true = falseQL|CE true®l 2L
Ctg EEJ 2 MHE0{of BfLCt
namespace= AHO| 23235= O AM8SH= E
ot QIF HIXE X™EELICH

username X passwordE= Cognos AH{O 21
25tz O AH8ste AYLCh

Togin_mode CHA, CHE EEEX ALY =
LICE.

o>

 anonymousMode. Oil: ['Cognos_server url',
'anonymousMode', "namespace", "username",

"password"]

« credentialMode. Ol: ['Cognos_server_url’,
'credentialMode', "namespace"

"username", "password"]

 storedCredentialMode. Of:
['Cognos_server_url’,
'storedCredentialMode’,
"stored_credential_name"]
0{7|M stored_credential_name2 Z|XX|E
2|0 A= Cognos 41 FES| O|FYULICE

cognos_package_name

string

HO|E QEMEE 7IM1 U= Cognos IHF|
X|o| ZE2t o|SLICL of:

/Public Folders/GOSALES

. SefAgh SERLICH

cognos_items

["field","field", ... field"]

7YX Stit o|Ae| Hjoje REXEQS| 0|5 UL
C}. fielde] HAlS
[namespace).[query_subject].[query_item] RILICF.

cognos_filters

field

CIOIHE 7tMQ7| Mol HEd it ojetel
Efol o|SLICt

cognos_data_parameters

list

HlO|E{of| CHYH ZEIXE 9¢9 zrolL|ct o2
gl It Me ZsE 21, CF 42 gz 3
25D M BEXES dASZE FELICH
HAL

—

['param1", "value"],...["paramN", "value"]]

b
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H 44. cognosimport == S8 (A%).

cognosimport == EM Hole {3 EM 4d
cognos_report_directory field HOME 7IME &0 Ee= m7|X|2] Cognos &
EYLICE of:
/Public Folders/GOSALES
&1 SefA|gh =L
cognos_report_name field JtHg EnMel EnA (X ot = B2t
o|E&iL|Ct.
cognos_report_parameters list HIM 20| ZIQLICL 0| 3 Zf M2 i
T2 F0, CHE W2 &HEZ A2ED MM 2
g2 s 2 F&LIcH
SIAl
S =
[["param1", "value"],...,["paramN", "value"]]

databasenode EA

ClOIEH0|A ==& AFESHH ODBC(Open Database Connectivity)S AHE3H0 Microsoft SQL

= Server, Db2, Oracle % 7|EFS Teist Chorst C2 m7|X|2HE HOES 7HHE 4 ASLICH

Of| |

import modeler.api

stream = modeler.script.stream()

nnode = stream.create("database", "My node")
node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")
node.setPropertyValue("datasource", "Drugln_db")
node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")
node.setPropertyValue("tablename", ".Drugln")

¥ 45. databasenode E4.

databasenode S4 Clole /49 E4 49
mode Table CHat &K ®MO|E AHESH0 H|O|E{t|0]|A E|O| =0
Query HESHH™H Tuble2 MEHSID, SQLE AFESHH M

EHEl C|O|EH|O[AE FEISHH QueryE XIHSHY
A,

datasource string HIO|E{H|Oo|A O|F (Ot T #=X).

username string CIO|E{H|O|A HA MEAtHOf2 HDE EX).

password string
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ENM
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H 45, databasenode

A%).

databasenode £4 oloje fd £d 49
credential string IBM SPSS Collaboration and Deployment
ServicesOll M&E 4 HEO| o|FRLICt O|HE
username % password 4 CfA AT 2 AL
LICE &) HEO| AMEXt 0| Y H|YHZE= O
O|E{H[O] A0l HM[ASEY| e EHRTt ALEXt 0|5
3 H|YH e 0§X|sHoF SrLCt.
use_credential True £ FalseZ2 MHSIHAIL.
epassword string HEHZE AIEEQ SIERYSH= A9 e
2 QIYE HYHSE X|FLICt
XtMIEt HEE 56 HO[X|Q] TolREE H|UHD]
A ol i8S oAl o] EM2 MY 5
ol ¢17| MELIct
tablename string MM ASHE = H|O|Z2| O|SYLICH
strip_spaces None EXEON M S 20l WS MHSH= ZHY
Left Lict.
Right
Both
use_quotes AsNeeded a7t Hlo|EHHo|AZ HMEE MGIE S0 34
Always olLt 1=HEE Egst= E42) HIOIZ & & 0|8
Never 2 AR E FEX HEE X|FAL.
query string &S = #2lol thiet SQL ZEE X|FgLict
1. H|O|E{H|0|A O|E(datasource S50 U=)0| StLt O|Ae| S8 OREF("eHH FL o2tk o)
F= UES XYt 22, 0|2 EXIERE KN2[o17] fIsf "HEeiA| 2MSH dAS MY = US
LICH of: "{\"db2v9.7.6 Tinux\"}" EE& "{\"TDATA 131\"}". Est, CI3 CGl0A} ZO| Tt

datasource =XtE 2

At31: Cf|O|E{H|O]A O|E(datasource EM0f| UE)0| 2SS TSt

EM Al Ct2 YAIOZ 3tLES| datasource

passwordOf| CHeH 7HE

SMSEZE FOMAI2. "{\"SQL Server\",spssuser,abcd1234,false}".

= A%, datasource, username,
Edg MY =k JUFLIC

H 46. databasenode EN - H|O|E AA EH.

databasenode £ Hiole fd EY 49

datasource string ESR
[database_name,username,password[,true |
false]]
OFX|2} = A= otEl HZHDQE STH AL
S| 2ot ZALICE O|Z0] trueE HEEH HIY
Ho s A8 o S=2tE Lt

CIOIE AAE HASIH = ZR0E 0] YAS AESHHAIR. J2{Lt AL8Xt O|FO|Lt H|LHZ o o

Aotz{= 22 username TEE password EHS AIEE 4 JUESLICH
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datacollectionimportnode §

Data Collection H|[O|E] 7t 27| LEE A|E AL H|Z0| AF2SH= Data Collection H|OJE| B
2 7|HteE MEXA H0|HE 7t ZLICE O] LEE AEdtH Data Collection H|O|Ef 2t0|2
2{2|7t A X|=|0{oF gL|Ct.

Ol |

node = stream.create("datacollectionimport”, "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")
node.setPropertyValue("metadata file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/
Data/Quanvert/Museum/museum.pkd")

node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source type", "File")
node.setPropertyValue("casedata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/
Data/Quanvert/Museum/museum.pkd")

node.setPropertyValue("import_system variables", "Common")
node.setPropertyValue("import multi_response", "MultipleFlags")

H 47. datacollectionimportnode S4.

datacollectionimportnode S olole /¥ £4d 49

metadata_name string MDsC®| O|Z)LItt. £42t DimensionsMDD= H
Z Data Collection HEIC|O|E] EME AEdlOF &

2 HBAIPLICE 7|EF 7ks% 2t2 Chaat Z&Lch

mrADODsc

mrI2dDsc

mrLogDsc

mrQdiDrsDsc

mrQvDsc

mrSampleReportingMDSC

mrSavDsc

mrSCDsc

mrScriptMDSC

E22t none MDSC7t 1SS HEAIGLICE
metadata_file string HIEtEIOIEI7L MEE= ool oS YLIC
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H 47. datacollectionimportnode S8 (A%).

datacollectionimportnode §4 Hiole |d EM MY
casedata_name string CDSCe| Oo|E|LICt 7hs®t 22 Ci2d d54
Cf.
mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc2
mrSavDsc
mrScDSC
mrXm1Dsc
E22t none2 CDSC7t Slg8 HEAIFLICH
casedata_source_type Unknown CDSCe| &4 RHES HAIRLICL
File
Folder
ubL
DSN
casedata_file string casedata_source typeO| File [, #|0|A H|O|E

£ Eoftte meS XFUL

casedata_folder string casedata_source_typeO| Folder® [, #|0|A o
O|B{E Egdt= EHE XYL

casedata_udl_string string casedata_source typeO| UDLY M, #[O|A C|O]
EIE E&dh= H0[Ef 2A0 gt OLD-DB ¢Z
EXEE K™

casedata_dsn_string string casedata_source_typeO| DSN¥ wh, H|O[E AA
°| ODBC ¢1Z 2Xgg XIHELICH
casedata_project string Data Collection HIO|E{H|O|AN|A Z|O|A H|O|E
£ 22 l ZEMEQ| 0|52 YHY + USFLICL
CHE 2= 7I0|A HojE f¥el E2 o AF:2
J0|0foF eL|Ct.
version_import_mode ATl HEO| X2l== WHE Mot
Latest
Specify
specific_version string version_import_modeZ} Specify® i, 7kXE 70|
A HO|EQ HTE FolgCt
use_language string 73 209 Ho|=2 AESI=X HRE "L
Ct.
Tanguage string use_language?} true@! 2R, 7tX27| Ao AtE

g 0| =5 FolgfLich A0l FEE= AHO|A O
OlE{0IlM ALE 7tsTt ZE & SHLIOJOF SL|C.

X o|BtL|

use_context string S HHAEES N0 St=X| HRE
HHE HolAT|=

d
Ch ZEAEL SET} GiEE A

[ [y

ol AtEgLCt.

=
O

0
k>
[>
H
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H 47. datacollectionimportnode S48 (A%)

datacollectionimportnode £

HO|E /Y

M
(=)

nx
ol

Aim

context string use_context?t true@! &R, 7tME UHAEE H
ogfLict HEAEE= F0|A HO[EOM ALE 7t
S HHAE F SHLIG{OF BL L
use label type string Ed |¥9 o8 7tNAof SH=X| HEE H
ofgfLct.
label_type string use_label_typeO| true@l &<, 7IH2 20|52 &/
ds Foguct HolE f2 #Ao|A Hlo[Efof
M ALE 7St R § StLtofof BfLict.
user_id string FA| 23010] HR?t Hlo|EMo|AS He, s
CIO[Ef 2201 AMMASEY| I3t AHEXL D} HIE
HZE H3Y = ASLILCH
password string
import_system variables Common IHMRE AAH HEE X|FLICH
None
ATl
import_codes_variables flag
import_sourcefile_variables flag
import_multi_response MultipleFlags
Single

excelimportnode §4

Excel 7tH27| =E
AAE TQSHK| &LICE

| =
| EXCE OlE] &

of

#To use a named range:

node = stream.create("excelimport",

[Eoy=]

"My node")

node.setPropertyValue("excel file type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")

node.setPropertyValue("use named range",
node.setPropertyValue("named range", "DRUG")

node.setPropertyValue("read field names",

#To use an explicit range:

node = stream.create("excelimport",

True)

"My node")

node.setPropertyValue("excel file type", "Excel2007")

node.setPropertyValue("full filename",

"C:/drug.x1sx")

node.
node.
node.
node.

94

setPropertyValue("worksheet mode", "Name")
setPropertyValue("worksheet name", "Drug")
setPropertyValue("explicit_range start", "Al")
setPropertyValue("explicit_range_end", "F300")

IBM SPSS Modeler 18.1.1 Python A3ZE 4 XtE38}t QHAA
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B 48. excelimportnode E4.

excelimportnode E4 Hiole |d EM MY
excel file_type Exce12007
full_filename string dE2E Zoot 2tdst o o| LI
use_named range Boolean Ol XHE H A HEYULIC True? &<
named_range £40| 12 HeIE X|Hst= o At
85I, CHE AT AIES HO|E He| ™2 FAl
ElLct.
named_range string
worksheet_mode Index AIAMETL X5 E= O|SQE HE =X HRE
Name INESE-HEE
worksheet_index integer AE YIAMES X+2M, A HHY YIAES &
2 092 At & Hmj= 19 HAYL|CE
worksheet_name string e YIAEQ o|ERLC
data_range mode FirstNonBlank HRE mHSH=s WHE XIFYLICH
ExplicitRange
blank_rows StopReading data_range_mode?} FirstNonBlank¥ M, S8
ReturnBlankRows 2 Mot WHE XFech
explicit_range start string data_range_mode?} ExplicitRange M, S He
o AEFE X|Fghct
explicit_range_end string
read_field names Boolean XEE Helol A Hi s HE(F) 0|EQ=E A
8ot=Xl HEE X™HFLICH
extensionimportnode 4
@: 2E IIMRI| LEE AMBYHH R K& Python for Spark £
IHEE HASH OIOIHE 782 & JUELICH

Python for Spark Ci|X|

##### Script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_importer", "extension_importer")
node.setPropertyValue("syntax_type", "Python")

python script = """

import spss.pyspark

from pyspark.sql.types import =

cxt = spss.pyspark.runtime.getContext()

=
0
k>
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H
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_schema = StructType([StructField('id', LongType(), nullable=False), \
StructField('age', LongType(), nullable=True), \

StructField('Sex', StringType(), nullable=True), \

StructField('BP', StringType(), nullable=True), \
StructField('Cholesterol', StringType(), nullable=True), \
StructField('K', DoubleType(), nullable=True), \

StructField('Na', DoubleType(), nullable=True), \

StructField('Drug', StringType(), nullable=True)])

if cxt.isComputeDataModelOnly():
cxt.setSparkOutputSchema(_schema)
else:
df = cxt.getSparkInputData()
if df is None:
druglList=[(1,23,'F',"HIGH',"'HIGH',0.792535,0.031258,"'drugY"'), \
(2,47,'M',"LOW',"HIGH',0.739309,0.056468,'drugC"'),\
(3,47,'M',"LOW',"HIGH',0.697269,0.068944,'drugC"'),\
(4,28,'F',"NORMAL','HIGH',0.563682,0.072289, 'drugX"'),\
(5,61,'F',"LOW','"HIGH',0.559294,0.030998, 'drugY'),\
(6,22,"F',"NORMAL','HIGH',0.676901,0.078647,'drugX"'),\
(7,49,"'F',"NORMAL','HIGH',0.789637,0.048518, 'drugY"),\
(8,41,'M',"LOW',"HIGH',0.766635,0.069461,'drugC"'),\
(9,60,'M',"NORMAL','HIGH',0.777205,0.05123,"'drugY"),\
(10,43,'M',"LOW',"NORMAL',0.526102,0.027164, 'drugY")]
sqlcxt = cxt.getSparkSQLContext ()
rdd = cxt.getSparkContext().parallelize(druglList)
print 'pyspark read data count = '+str(rdd.count())
df = sqlcxt.createDataFrame(rdd, _schema)

cxt.setSparkOutputData(df)

node.setPropertyValue("python_syntax", python script)

R Ol

#### Script example for R
node.setPropertyValue("syntax_type", "R")

R_script = """# 'JSON Import' Node v1.0 for IBM SPSS Modeler
# 'RISONIO' package created by Duncan Temple Lang - http://cran.r-project.org/web/packages/RJISONIO
# 'plyr' package created by Hadley Wickham http://cran.r-project.org/web/packages/plyr
# Node developer: Danil Savine - IBM Extreme Blue 2014
# Description: This node allows you to import into SPSS a table data from a JSON.
# Install function for packages
packages <- function(x){
X <- as.character(match.call()[[2]])
if (!require(x,character.only=TRUE)){
install.packages (pkgs=x,repos="http://cran.r-project.org")
require(x,character.only=TRUE)
}
}
# packages
packages (RJSONIO)
packages (plyr)
### This function is used to generate automatically the dataModel
getMetaData <- function (data) {
if (dim(data)[1]<=0) {
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print("Warning : modelerData has no line, all fieldStorage fields set to strings")
getStorage <- function(x){return("string")}

} else {

getStorage <- function(x) {
res <- NULL
#if x is a factor, typeof will return an integer so we treat the case on the side
if(is.factor(x)) {
res <- "string"
} else {
res <- switch(typeof(unlist(x)),
integer = "integer",
double = "real",
character = "string",
"string")
}
return (res)
}
}

col = vector("list", dim(data)[2])
for (i in l:dim(data)[2]) {
col[[i]] <- c(fieldName=names (data[i]),
fieldLabel="",
fieldStorage=getStorage(data[i]),
fieldMeasure="",
fieldFormat="",
fieldRole="")
}
mdm<-do.call(cbind,col)
mdm<-data. frame (mdm)
return (mdm)
}
# From JSON to a Tist
txt <- readlLines('C:/test.json')
formatedtxt <- paste(txt, collapse = '')
json.list <- fromJSON(formatedtxt)
# Apply path to json.list
if(strsplit(x="true', split='
' ,fixed=TRUE) [[1]1][1]) {
path.Tist <- unlist(strsplit(x='id_array', split=',"))
i=1
while(i<length(path.list)+1){
if(is.null(getElement(json.list, path.list[i]))){
json.list <- json.list[[1]]

lelse{
json.list <- getElement(json.list, path.list[i])
i<- i+l
}
}
!
# From 1ist to dataframe via unlisted json
i<-1

filled <- data.frame()
while(i < length(json.Tist)+ 1){

unlisted.json <- unlist(json.Tlist[[i]])

to.fill <- data.frame(t(as.data.frame(unlisted.json, row.names = names(unlisted.json)))
stringsAsFactors=FALSE)

filled <- rbind.fi11(filled,to.fi11)

i<- 1+
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}

# Export to SPSS Modeler Data

modelerData <- filled

print (modelerData)

modelerDataModel <- getMetaData(modelerData)
print (modelerDataModel)

node.setPropertyValue("r_syntax", R_script)

H 49. extensionimportnode 54

extensionimportnode S ool /¥ E4d 49

syntax_type R gt ASZE R E= PythonS A

Python HEHHAIRO| 7| 22h)

r_syntax string A¥e R ASRE FEALICH

python_syntax string AadS Python A3EE AZLICEH

fixedfilenode £
Py 1 oY e 0y HE HAE MY F 09| WEJL RREX]| 980 SYLS AKIOIM AIRSHH
' DHE Holo mMAZLE HO|HE JEMELICE Mol Mo E= #AHA|l GO|E7E Xt nd HE
— Aoz MEELCH

of| |

node = stream.create("fixedfile", "My node")

node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node.setPropertyValue("record len", 32)

node.setPropertyValue("skip_header", 1)

node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9, 10], ["Cholesterol",

12, 221, ["Na", 24, 25], ["K", 27, 27], ["Drug", 29, 32]])

node.setPropertyValue("decimal_symbol", "Period")
node.setPropertyValue("lines_to_scan", 30)
B 50. fixedfilenode S4.
fixedfilenode E4 ciolg |¥ £4 29
record_len number Z 220 /= 2A 5 XFeLCh
line_oriented flag Zt B|ZES E0iM £ HHY| 2XE HHEL it
decimal_symbol Default CIOIE AAOM AESH= A4® TR REY
Comma L|Ck
Period
skip_header number A RS AFM FAY H 5 ™
LCt 8 s RFAIE 26 RSELCH
auto_recognize datetime flag g E= )\|7+0| a2 HO|HUM RS2 AlE
E=X RS XFLLICh
lines_to_scan number
fields list Tx3 EMYLCH
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H 50. fixedfilenode S48 (A1%).

fixedfilenode S ciole &¥ =4 29
full_filename string CIAERE ZXEsto, ¢fg mAQ ©A| o|ELICt
strip_spaces None JtME o 2XrEe| MY 9l 20| FWS AlE
Left Ch.
Right
Both
invalid_char_mode Discard olo|E oM f=HX &2 EXHE, 0 E= &
Replace M elAdol EMstX| = RE =XhE MAHSHA
Lt R=5HX| 42 248 XFE o 2X 7|22 Ht
BLICH
invalid_char_replacement string
use_custom_values flag
custom_storage Unknown
String
Integer
Real
Time
Date
Timestamp

HooF

b
I>

3

In
m
0x
O
)




 50. fixedfilenode S48 (A1%).

fixedfilenode £

HolH /Y

custom_date_format

"DDMMYY"
""MMDDYY"

"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
“MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
“MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY
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E 50. fixedfilenode S8 (%)
fixedfilenode S ciole &¥ E4d 4
custom time format "HHMMSS" o EH
"HHMM" ot MY & USULCH
MMSS™
"HH:MM:SS"
"HH:MM"

MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

'MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

custom_decimal_symbol field ALK "ol ME ZZt0| X|™El AL0gt Mg It
s

=
encoding StreamDefault BAE QlFE giHES X|HBL|Ct
SystemDefault
"UTF-8"

@ e B GlO[EE HIOIE| Ofold MHOE JHHQRE X|2| BIHE AA ZEE ABSHAIR.

r

H 51. gsdata_import =E 4

gsdata_import == EH Clojle /Y EM MY

full_filename string 2L = shp I MY Z=E LHSHUAIL.

map_service URL string AZg @ MH[A URLE LS.

map_name string map_service_URLE At83t= ZR0TH AFERILICL O]
A W MH|AQ xae & EM 125 XYLICHL
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sasimportnode §4

SAS 7tHQ7| =E

iiEE%,

of| |
node = stream.create("sasimport”, "My node")
node.setPropertyValue("format", "Windows")

node.setPropertyValue("full_filename", "C:/data/retail.sas7bdat")
"Test")

node.setPropertyValue(

"member_name",

node.setPropertyValue("read formats", False)

= SAS H|O|E{Z IBM SPSS Modeler2 7tHSLICE.

node.setPropertyValue("full format filename", "Test")
node.setPropertyValue("import names", True)
B 52. sasimportnode S4.
sasimportnode £ ool /¥ EM 49
format Windows tME mol Al
UNIX
Transport
SAS7
SAS8
SAS9
full_filename string dE2E Z5I0f, AF8XP7L USh= Est o
Ol LIt
member_name string XEE SAS ©E MM 7tME HHE X|FHot
MAIR.
read_formats flag X "E A& DrUoilM CllojE HA(0ll: == 2|0]F)
2 &Lt
full_format_filename string
import_names NamesAndLabels JtM2 o H4 0|8 Y 202 HMTE et S
LabelsasNames 2 X|"ghct
E
simgennode §%4
AE2o|d Md LEE= AEX7L X|Fet 84 X8 A8%te ATMKERE Kz 7|&E 3AE
& 2| Cllo|Eof CHal AlZ2|o|M gt EE MABIH 22 EXE XAS2E AHESIH A|E2|0|HE
CIo[HE MMdl= 42 YHE HMSELICE ofH2 2E o] S=tAMo| Exfst= A=ol|M o
= Qo ANE Wotsy| Y of eFLcH
B 53. simgennode 4.
simgennode A Hlole /Y EM 49
fields TxotE &Y o &z
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E 53. simgennode S8 (A%).

simgennode EM clole |¥ EM MY

correlations TxotE E4 Ol &=

keep_min_max_setting boolean

refit_correlations boolean

max_cases integer 222 1000, ZCHZYS 2,147,483,647
create_iteration_field boolean

iteration_field_name string

replicate_results boolean

random_seed integer

parameter xml string 2 XmlE EXE2 2HgLCH
ac o

O|A2 LHE FEE Hd= FxoeE X Z+YLILh

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, lTocked, [distribution3], min, max]

1)
distribution? 4% 0183 1 S0 25 44 018 Yol ¥E Bats S80) HeYLK A
2L g WOz HolgUc

[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min","1"],

Ilmaxll’llzll]]]’ IIII’ IIII]])

OE &0, 0|2 BXE = td HEE MMt LEE MMSH Chg A3EHEE AIEY &=
==

simgen _nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)

simgen _nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],
[Ilprobll’ 0.7]]]’ IIII’ IIII]])

Oz 2X= n 9 probe & 2E ZSLICE O[22 XAzt ACHZS XIRSHK| 4B 2 0|F2
Hi

il EXERM HNSELCH

SLICh fields 43t 250 AHEELICE

o2t
kl
E.
wm
v
>
o
<
:*
o
>
mjo
fikal
12l
nx
oA
ot
4>
£Q

CIE ol 2& 7tstt 2X RA2 EFLICEL YAIZE0| NegativeBinomialFailures 3!
NegativeBinomialTrial 2F0A thresh2A UHES X NSHAAL.

stream = modeler.script.stream()
simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)
beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2","2"]1], "", ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ,"1"],["prob","1"]111, "", ""]
categorical_dist = ["Field3", "String", False, ["Categorical", [["A",0.3],["B",0.5],["C",0.2]1], "", ""]
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dice_dist = ["F1e1d4”, "Real", False, ["Dice“, [["1" ’n0.5n] ["2" ., 5||:|:|:| e ||||]

exponential_dist = ["Field5", "Real", False, ["Exponential", [["scale","1"]1], "", ""]

fixed_dist = ["Field6", "Real", False, ["Fixed", [["value","1" 111, "", ""]

gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale","1"], ["shape“ 1117, vyt

Tognormal_dist = ["Field8", "Real", False, ["Lognormal", [["a","1"],["b","1" 111, '“' "

negbinomialfailures_dist = ["Field9", "Real", False, ["NegativeBinomialFailures", [["prob“ "0.5"7,["thresh","1"]117, "", ""]
negbinomialtrial_dist = ["Field10", "Real", False, ["NegativeBinomialTrials",[["prob","0.2"],["thresh","1"]1]1], "", ““]
normal_dist = ["Field1l", "Real", False, ["Normal", [["mean","1"] ,["stddev","2"]111, "", ""]

poisson_dist = ["Field12", "Real", False, ["Poisson", [[”mean“,"l"]]] w o]

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN","[1,3]"] [“END“ "[2,4]"],["PROB","[[0.5],[0.5]1"]11, "", ""]
triangular_dist = ["Field14", "Real", False, ["Triangular", [["min", “0“] ["max","1"], ["mode","1"11], "", ""]

uniform_dist = ["Field15", "Real", False, ["Uniform", [["min","1"],["max","2"111, "", ""]

we.lbu'l'l_d.lst [IIFie1d16|I, IIRea]II’ Fa'lse, [Ilwe.ibu'l'lll [[II " IIOII] [Ilbll II1 II] [IICII II1II]]] IIII’ IIII]
simgennode.setPropertyValue("fields", [\
beta_dist, \

binomial_dist, \

categorical_dist, \

dice_dist, \

exponential_dist, \

fixed_dist, \

gamma_dist, \

Tognormal_dist, \
negbinomialfailures_dist, \
negbinomialtrial_dist, \

normal_dist, \

poisson_dist, \

range_dist, \

triangular_dist, \

uniform_dist, \

weibull_dist

1

O|H2 Lig T2 #de FxoE &8 Z+LLh

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

1)
AA=E +13F -1 Afole] 9o =Xt £ JUSLICE st T2 A SE XEE = USL
Ch 25 XHEX @2 dAs= 022 dFELICH ofiet HER & = gl 39 A2 2
AHAH(EE HO|Z)0A HEE|0{0F StH W7t BIAEZ HBA[ELICL & = gl HEJ US M
= LEE ddd £ gisLICh
statisticsimportnode &4

IBM SPSS Statistics It ‘=== IBM SPSS Statistics?7t AF2SHE .sav THY HAE OtL|2t ST

HAMS AF23SHE IBM SPSS ModelerOfl XMZEE FHA| THUZHE HIOIE1 i&LiCt

0] =9 EN2 353 HO|X|Q| [statisticsimportnode EA1 PN AHEL|CE,
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tmlodataimport tE EA

? IBM Cognos TM1 A4 E& Cognos TM1 HIO[E{H[O]AOA HIO|HE JHXFLILCE

H 54. tmlodataimport == EH

tmlodataimport == EA ooy |4 EM MY

admin_host string REST APIS| SAE 0|20 Ci$t URLYLIC

server_name string admin_hostOllA MEHEI TM1 MO O|EQILICE

credential_type inputCredential &= | MY HE |FYS HAISt= O AREgLICh

storedCredential

input_credential list credential_typeO| inputCredentialO|H Z=H|Ql 0|,
AHEXE 0|8 o HIEHZE XFSHYAIL.

stored_credential_name string credential_typeO| storedCredentialO|™ C&DS A
HolM & HES 0|2 XIFSHIAIR.

selected view ["field” "field"] MEHE TM1 RES| MFAFED SPSSE HIO|EE 71

g F2 2|9 0|50 EFEH == st o
TM1_import.setPropertyValue("selected view",
['plan_BudgetPlan', 'Goal Input'])

is_private_view flag selected_view?t 7HQIE HEI|QIX| X|FeLCt 7|28}
2 false®jL|Ch

selected_columns ["field” ] MESSH FE X|HSHHAIR. B et XIFE £+~ AL
Ct

ol : setPropertyValue("selected_columns",
["Measures"])
selected_rows ["field” "field"] MENSE HE X|FIHAL.

Oll: setPropertyValue("selected rows",

["Dimension_1_1", "Dimension_2_1",

"Dimension_3 1", "Periods"])

tmilimport eE E4( [ 0|4 AIEE|X| 2i2)

? IBM Cognos TM1 A4 =& Cognos TM1 H|O[E{H[O]AOA HIO|HE JHXFLICE

H1: 0] LE= Modeler 18.00M= O Ol& AFE[X] SELICE CHA == A3EE O|F
tm1lodataimport4L|Ct.

rlo
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® 55. tmlimport £E E4.

tmlimport =E £ ool /% £4 49
pm_host string D HH 16.0 2 17.002t sHE
SAE O|SQLICE Of: TM1 import.setPropertyValue

("pm_host", 'http://9.191.86.82:9510/pmhub/pm')
tml_connection ["field" field", ... field”]| &1: HH 16.0 % 17.00{2t sHg

TM1 MHO| izt HA MEAtE0] ZaE 58 EHY
LICE HAI2 [ "TM1_Server Name","tml_

username","tml_ password"] LIC}.

Of: TM1_import.setPropertyValue("tml connection",

['Planning Sample', "admin", "apple"])
selected view ["field” "field"] MELEl TM1 RES| MEAFED SPSSE H|0|HE 7HA
2 FE E7|9 0|§0| XEE £5 S4ULCt o

TM1 import.setPropertyValue("selected view",
['plan_BudgetPlan', 'Goal Input'])
selected_column ["field” ] MESSE A2 X|HSHHAIR. ot 30 X|ge £+ A&
Cf.

Oll: setPropertyValue("selected columns"”,

["Measures"])
selected_rows ["field” "field"] MENSE S X|FSHUAL.

Oll: setPropertyValue("selected rows",

["Dimension_1_1", "Dimension_2_1",

"Dimension_3_1", "Periods"])

twcimport &E EM

TWC A2 EE The Weather Company, IBM BusinessOlA 7|4 HIOJHE JEMSLICL (X9
‘ S|AER| Tl HOIE E= olF 7|4 HIOIHE Y= ol A8 & AHUCEL 22T ME Jtsd
b gestn YEet Eu Clo[HE AH8SHY O L2 QAEFEES 27| flet 7Y BY HI=L A

89S LY = ASHCH

# 56. twcimport == EH

twcimport E E4M Ho|Ef |4 EM MO
TWCDatalImport.latitude Real [-90.0790.0] HAICR Q= Ztg2 X|I™ThLICH
TWCDataImport.longitude Real [-180.0~180.0] YAloZ AT S XIMELIC
TWCDataImport.licenseKey string The Weather CompanyOllA{ &2 2to|MlA 7|
£ X"t
TWCDataImport.measurmentUnit | English =3 t|E XMELICL 7tsst 2f2 English,
Metric Metric B Hybrid®LICE MetricO| 7|22t
Hybrid LICE.
TWCDataImport.dataType Historical =g 7|4 olole RYS XFYLICL 7ts%t
Forecast 2 Historical = Forecast®IL|C}.
HistoricalO| 7|2ZtQILICt.
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E 56. twcimport == EM (A%)

twcimport == EXM Clole /9 £4 49
TWCDataImport.startDate Integer HistoricalO| TWCDataImport.dataTypeOfl X|&
2l AL yyyyMMdd HAIOZ A|F UWME X|HS}
MA2.
TWCDataImport.endDate Integer HistoricalO| TWCDatalmport.dataTypeOll X|H
El 2 yyyyMMdd EAloZ ZE IWME X|HS}
AMAI2.
TWCDataImport.forecastHour |6 TWCDataImport.dataType@Z ForecastZt X|H
12 El AR ANZIOZE 6, 12, 24 £ 482 X[Ht
24 AMAR.
48

userinputnode 4

P, AERH 23 LEs ATMKZRE EE J|Z HIO|HE HZESIH &4 CIo|HE E4st= 42 &
f- Hg FBPLICL 02 0|2 S0f RYAS 9%t AY ClOIE MES I¥Y o KBULICL
of| Al
node = stream.create("userinput", "My node")
node.setPropertyValue("names", ["testl", "test2"])
node.setKeyedPropertyValue("data", "testl", "2, 4, 8")
node.setKeyedPropertyValue("custom storage", "testl", "Integer")
node.setPropertyValue("data_mode", "Ordered")
E 57. userinputnode S4.
userinputnode S ooy |4 £4 29
data
names LCt MMstE TE 0|8 S22 Y E= 2™
St X SR YULICE
custom_storage Unknown oo NE 37t M3 EE 2|"HskE 717t e
String SReLct
Integer
Real
Time
Date
Timestamp
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® 57. userinputnode E4 (Al%).
userinputnode S ool /% E4 49
data_mode Combined Combined?} X|H=H, MHE ghat XA /Z[CH Zfe
Ordered 2k =ghofl o3t 2l2E0F MAELICH MyEE 2
IE £ 2 oo e 2 29 Zo ZELc
Ordered?t X|HEl= 22 OlO|E{Q HE MMst7|
Qs 2t 22=of chsl ZH FollA stLtel gk Tt
MaLch dM=ls= 2RE £ HEQ HHE It
I 2 =Xt o ZaLch =2 ol g #e
QE Lo dZtoz xfYFLch
values £ 1: 0] EM2 userinputnode.dataS <Iol H7|
E|%on O o4 AMESEX| gtotof BfL|Ct.
variablefilenode §4
HAmMY =EE X ZE HAE MY & ARSI YFTH 0 WEE ZESHR|O Hote 22Xt
= £ Zgste MUREH HOo|HE ASLICHL o] ==& E3t 1N Zo| E HAES EX {39
ZME e IYoz fEELct
of| |
node = stream.create("variablefile", "My node")
node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
node.setPropertyValue("read_field_names", True)
node.setPropertyValue("delimit_other", True)
node.setPropertyValue("other", ",")
node.setPropertyValue("quotes_1", "Discard")
node.setPropertyValue("decimal_symbol", "Comma")
node.setPropertyValue("invalid_char_mode", "Replace")
node.setPropertyValue("invalid_char replacement", "|")
node.setKeyedPropertyValue("use custom values", "Age", True)
node.setKeyedPropertyValue("direction”, "Age", "Input")
node.setKeyedPropertyValue("type", "Age", "Range")
node.setKeyedPropertyValue("values", "Age", [1, 100])
H 58. wvariablefilenode £4.
variablefilenode 4 cloly 4 E4 4¥
skip_header number KO 2 ZEQ AIFOAM RAY EXt +E X
MLt
num_fields_auto flag 2t H2E0 = BE 5 XANS2Z HEYLL
HEEE & HY| X2 ZLof Lt
num_fields number Zt YEEY Y= UE £E 2502 XMLt
delimit_space flag oUoM HE FAE FEot7] e M8t B
XE XI™ELICH
delimit_tab flag
delimit_new_line flag
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H® 58. variablefilenode S4

variablefilenode E4

HolE fd

delimit_non_printing flag
delimit_comma flag 2E7t HE FEX0|HM AEZ0 Ot AH
X2l AL delimit_otherS true2 MEStH
other SEE A8 2BHE FEXZE XIS
A2.
delimit_other flag oteh other SHE AIE5I0 ALEXL Fo| LEAL
£ N¥g + ASUCL
other string delimit_otherZt true U At8SH= TLEXIE Xl
Lo
decimal_symbol Default CIOIE AAOM ASH= A4F FEAE XE
Comma LiCt.
Period
multi_blank flag o el QY 3 AE2 EXE oLt 2
XtE M2 gLk
read_field_names flag ClOJEf mel X i S Ho| o|22E AME
gLt
strip_spaces None JtHE M EXrEe MW I 20| SWE AN
Left LiCt.
Right
Both
invalid_char_mode Discard clole oM |R=SHK| 42 2XE, 0 E= ¥
Replace N elFHof &=xHstX| = D EXHE HAHSHA
Lt RFSHX| 42 2AE XHE ot 22X 7|z=2
HHELICH
invalid_char_replacement string
break_case_by newline flag @ AE2XF F U] EX0|EE K™ ELCH
Tines_to_scan number XZe Hloje |0 CHel Azigt o =5 X|F
gLt
auto_recognize datetime flag U EE AlZHO] 2A HIOIHOM XHESOZ AlE
=X RS XYL
quotes_1 Discard ZIMR7] Aof| Z2MSH| 2| WHES XFey
PairAndDiscard Ct.
IncludeAsText
quotes_2 Discard ZIHR2] Aol 2ZHS| M2 HHE X[FeL

PairAndDiscard

IncludeAsText
full_filename string CIMEE|S EHoto], i me TA| oYU
Ct.
use_custom_values flag
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EM
o

H 58. variablefilenode

(AI).

ENM
= o

variablefilenode

HiolE fd

Aim

2ol
nx
oz

custom_storage

Unknown
String
Integer
Real

Time

Date
Timestamp

custom_date_format

"DDMMYY"
"MMDDYY"

"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

AHEXRE Fol A
S

Xt
=]

27t0| x|

gl

Sofgt

M
i)

7t
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H 58. variablefilenode E4 (Al%).

variablefilenode 4 cioly R4 £4 4¥

custom time format "HHMMSS" ArEXH HY
"HHMM" ST

"MMSS"

"HH:MM:SS"

"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"

"(H)H: (M)M"

"(M)M: (S)S"

"HH.MM.SS"

"HH.MM"

""MM.SS"

"(H)H. (M)M. (S)S"

"(H)H. (M)M"

"(M)M. (S)s"

custom decimal_symbo] field AR "ol ME 37t XFE B0t HE It
5
=

10
Rl
ox
OH
N
k=)
A
ox
[t
ox
4o
=2
re
A
oo
N

encoding StreamDefault HAE oG "itHg X|™ELICH
SystemDefault
"UTF-8"

xmlimportnode £4

P XML &4 LEE= XML Y49 Ho|HE AERORE JINgLC HY m EE= ClHERS BE
<XML>| MUS 7HME + JAFLICL MEIMo=z XML 25 912 A7(0F IS XHY & JUSLICH

Of| |

node = stream.create("xmlimport", "My node")
node.setPropertyValue("full_filename", "c:/import/ebooks.xml")
node.setPropertyValue("records", "/author/name")

T 59. xmlimportnode £4.

xmlimportnode A ooy |4 £4 49

read single Chd ol mAT|=2g) E= ClEER ZE
directory XML TS el&Lct

recurse flag Xge ClAERS 2= MECOYMEZZRE FI}

o

E XML IIdg YHESX o8 E X|FL|ct
full_filename string (=) 7t42 XML oYl MA| Z=Zef o 0]
E(read = singleQ! &2).




® 59. xmlimportnode E4 (Al%).

xmlimportnode EM ool /% E4 49

directory name string () XML IHYUE 7HHZ2 ClHEZ[e MA E=
8! 0| (read = directory@! Z2).

full_schema_filename string XML #ZE 28 XSD L& DID Itlo| FHA| &
2 9 O o|SYULICt o] ZHE MEfsle HR
XML A4 DUM AEE HELICH

records string HIAE FAE HY XPath EHA(O: /au-
thor/name) 2 LICE AA THAOIA O] @AE THe
THORCH Af 2|REJF ZFMEEL|CE

mode read DE HIOIHE UAHLIIEZ), e 52 XMt

specify AA

fields M2 gdER4 ¥ £4)9 FEYULICEL 59 %

=2 XPath EHAQLIC

dataviewimport 54

a
a3

Of| |

stream

dvnode

modeler.script.stream()

Hole 7] ==& Ho|E 27| HO|EE IBM SPSS ModelerZ2 74 &LILCE,

stream.createAt ("dataviewimport", "Data View", 96, 96)
dvnode.setPropertyValue("analytic_data source",
["","/folder/adv", "LATEST"])

dvnode.setPropertyValue("table name", ["","com.ibm.spss.Table"])
dvnode.setPropertyValue("data_access plan",

["","DataAccessPlan"])

dvnode.setPropertyValue("optional_attributes",
[["","NewDerivedAttribute"]])

dvnode.setPropertyValue("include xml", True)
dvnode.setPropertyValue("include_xml_field", "xml_data")

H 60. dataviewimport SM

dataviewimport 4

HolH /Y

o

=
Ed 4%

analytic_data_source

string

IBM SPSS Collaboration and Deployment
ServicesOf MEE 24 HI0[E 27| LEHMEQIL|
Ch AFEY HTO| Z2 0|F1 HH oS YLIC
["Object ID","Full path", "Version"]
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H 60. dataviewimport M (A%)

dataviewimport 4

ooy /<

0x

3
29

table_name

string

Ciolef 270 M AME3t= HIOIE 27| H|O]
ILICt ElO|S O|E2 7|X| & =|0foF SLict.
IBM SPSS Collaboration and Deployment
Services Deployment Manager Z2t0|AE0|A
BOME LHELT LHELH zip OFFHO|E0i|A
default.bom IS HOLM IHF|X|E HE = U
&LICt. BOMEZ IBM Operational Decision
Management(iLOG)0|A 7tX2 Z40| OtL|H mi7|
x| O|F2 && Zotof gLct

["Object ID", "Name"]

L AT | Jm
1z

I
188

data_access_plan

string

=4 HojE 27|E flet HIO|E{E HMSdt= ol At
8%tz OIOIE AMA AH=JLCE
["Object ID","Name"]

optional_attributes

string

Zoteh IHd £4of SSQILC.

[["1D1","Namel"], ["ID2", "Name2"]]

incTude_xml

boolean

XOM QIABIA CO|EE 2= EHEJ ZotE ZR
True®LICt. IBM Analytical Decision
Management iLOG =58 AIg8t= 227t 0
H HE U2 falseRLICh O|HE HH B2 F
7t M27F =9tE = JASLICH

include_xml_field

string

include_xmiO| trueZ2 HFE mjf F71e TEQ| 0
ELICE

Ho®AALE EN 113
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H 10 & H32E =Y LE EY

appendnode 4

LE= YIE MEE AZELLE Hxst XS AX|T Holst HO|HE 2=

Of| |

node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match _case", True)
node.setPropertyValue("include_fields_from", "A11")
node.setPropertyValue("create tag field", True)
node.setPropertyValue("tag field name", "Append Flag")

H 61. appendnode 4.

CllofEf Al

appendnode §4 ciole /¥ EM 49
match_by Position Z OO 2A0M HEQ| QIX|LE ™ HIO|E ME
Name oA ZEQ| 0|28 7|8CZ H0O|H NMEES FItE
2 YBLICL
match_case flag ZC o|E2 Ui wf HAEX FEE A-Y =
Lo
include_fields_from Main
ATl
create_tag_field flag
tag_field_name string

aggregatenode £

St ZEE 92 HRCY NHAS Q9HD SHE 52 YIS LI

P

Of| |

node = stream.create("aggregate", "My node")
# dbnode is a configured database import node
stream.1link(dbnode, node)
node.setPropertyValue("contiguous", True)
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node.setPropertyValue("keys", ["Drug"])
node.setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
node.setPropertyValue("inc_record_count", True)
node.setPropertyValue("count field", "index")
node.setPropertyValue("extension", "Aggregated ")
node.setPropertyValue("add as", "Prefix")

H 62. aggregatenode 4.

0x
nx

aggregatenode S oiolH |3

keys list

N Mm&%
mun
Q@ 0] o8

ro
N

g HU
>
00

. mgi
4>
0
—Ir
iz}
n
i
i
ne
ot
-
o

S 1r Hu ol | o i =2 ofm| Jm
o
gi
o
kU
M
i
)|\.I
>
~
iu]

)

o

contiguous flag

dob
O pin rot
2w
T

=z Ho
in

N
=S

aggregates

mot o
Ot
rr

ne opm

O ot

B

ofm St
H
1
T3
il
4
fot

oju
o
X
=
Ot
rir
i}
>
0
Ot

r
N

a}
>
1o
H

>

==

it

aggregate_exprs

__|T|_o rnr m

0.
mo ne

N
H
oot
rhn
am
0x
- n

=2
ujn
i
2

aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX", "MAX('Na')")
extension string 5= S HEo| oigt MEEA E= YOIZXE X
HotuAl0=] E2).

add_as Suffix
Prefix
inc_record_count flag 2 ¢ HIREE 45| Qo SgtE= oY 2=
E #E XFst= 629 EEE Mt
count_field string HIEE Ji HES 0|ES XFHELICH
allow_approximation 22 Analytic Server®ild E0| +™E mf =M SHZ
of ZAE sI8YLICL
bin_count integer ZAOIM ALY 72t =5 XIFEELICH
=
balancenode £4
o¥ LE= HOE MEQ E7EE FESIEE, H0|H MEJ XIFE U8 EYLCh #d X
> AlZ0| =0| XFE olgtd Fel 2Rt Hlg8 AFEYLICL

Of| |

node = stream.create("balance", "My node")
node.setPropertyValue("training _data only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])
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¥ 63. balancenode 4.

balancenode 4 clole /¥ EM MY
directives X HE=l =XIE 7|'=.'_f9§ ’é": el Hl%% oy I
%

training_data_only flag sh& Co|E Tt Eso*0| 0|EO‘|I10F g2 XIELC)
AEZ0| MEIM HET} gl= 2R 0] M2 R4
=iL|c}

ME AEELICEH

of LE Ed2 T A

0o
ogt

[[ number, string ] \ [ number, string] \ ... [number, string ]].

831 271%0| (2USEE AS0) BU AWSEE 32 3 o OLAIE B\ ) o
WEOfoF BILICE » \ v BXH= ¥ A% BX0|7|E otn, RYS Ak 214E WIS ol ASH
4 Lt

cplexoptnode §4

CPLEX %|&3%} LE0|ME= OPL(Optimization Programming Language) 22 IIYS S S
% gt &%(CPLEX) 7|8t Z[HSE Y > USLICE O] 7|52 IBM Analytical Decision
Management HS0lA HS3HX[E, O[X IBM Analytical Decision Management 810/ SPSS

Modeler0lAl CPLEX =EZ Al % 2 AGL|Ct

CPLEX %Xzt 3 OPLO| CHgt XtM|et HE= IBM Analytical Decision Management &

XoIMAL.
H 64. cplexoptnode 54
cplexoptnode EM Hlole |d Ed 49
opl_model_text string CPLEX Z|H3} EE Mot = %=t ZtE M

d3l= OPL(Optimization Programming
Language) 232 E AO{QLICE

opl_tuple_set name string 24 Hio|Ho| siest= OPL RSl £2 ME 0|
SYULCt Ol B4Vt ofLH B8 ASEEE &
o AYEX ST Ol MEHSE COJE AAQ

HC WY WIS Ao} BT,

sy == HolEl Aol @l2] TE MLt o= B4t
OfLID BE AJRES Sof MWET YALICL
Ol Meist ClojE AA0| TE ME WD At

=—
8oliof gLCt.

|I::

data_input_map g =) 2|

Ot

Ho10 & 2E Y = EM 117


https://www.ibm.com/support/knowledgecenter/SS6A3P_18.0.0/configurableapps/knowledge_center/product_landing.html

H 64. cplexoptnode 5 (A%)

cplexoptnode E4

HolH /Y

=
£5 59

md_data_input_map

TxetE E4 22

OPLOIA FolEl 2t RE ALO|Q 2E HHOZAM,
242} didsts 2E HOlH 224 HIO[E)7F /U
SLICH AF8Xts CojE AAE=Z Ziztg HEY
T AsLIL. o] AFHEES MESHH S48 2Y
S RE WS oF Ho| BYY £ ASLICH
Of @F2 ALEA} AE{HO| A0 HEAIZ|X] E5LICH

=50 A= 2 AE|E[= FZotEl H|O|E LT,

GlOJE] AA EHT. GlOJEf AA EfZA, HlOJE 2
A EE 20| &L oE S

0_Products_Type2| 2<% Ei= oQLIC|

HIOE] A2 X GIOJE AA0| AH AxF7A|(R
S)YLICE ol 91F Mz mEELC

AA LE HO[H AAS AA L E(FA)QILICE
Ol Hlo|H AA EF CH20| YSLICH o8 &
01 0_Products_Type2| &% £A LE&= Products
LT

HAE £, ®xf CPLEX %|X3t o HFst

AN
2 HZE LEE TypeRL|CH

ME o|2. Ho|Ef AA9 BEE ANE 0|Z. 0]
PLO| FOolEl LIt 2X|EHOF BL(Ct.

o UM

§E Tt 0|8 HIo|H AAS BE HE ZE 0
EYULCE o= OPL RE ME F2ofl FolE W
8t X[sHoF gLct.

M /Y. 2t ME FEYLICL Jhst 242 int,
1

HloJE| ZE O|E. Ho|H AAQ ZE O|SQILCY.
oil:

[[0,0,'Product','Type','Products', 'prod_id_
tup','int','prod_id'],
[0,0,'Product','Type',"'Products','prod_name_
tup','string’,
'prod_name'],[1,1,'Components’,'Type',
"Components’,
‘comp_id_tup','int','comp_id'],[1,1,
'Components','Type',
'Components','comp_name_tup','string’,
"comp_name']]

opl _data_text string OPLO|| A& YR Ha = O|o[Ee Ho.
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H 64. cplexoptnode 58 (A%)

cplexoptnode M Hiole |d Ed 449

output_value mode string Itset 2 raw E= dvar®LICh dvarg XE
22 £ HollM AR £He 28 QEXNE
g4 H4 0|22 OPLE X|Hd|oF ELICE rawE
X|He 242 o|E0] 2Aglo] S& g7t HIE =
HELICH

decision_variable_name string OPLO|l FolEl =% g+ Hs O|EYLIC Ol=
output_value_mode 40| dvar2 HHE =20
ot AHE ZtsELICL

objective_function_value_fieldname |string EHoM AIBY =H o4 e HE o|EYLICh
7|23t2  O0BJECTIVERILICE.

output_tuple_set names string 41 Clo[E{ol M AP HolEl RE9| o|E)LICt

Ol OIAREH B0l KA SN Ha
HolM Y o= oMELL 5 5
OPLO| S|AZY 4 Holot Ax|sHor Bhict
2 Jfol K47t Y= FP EE ol22 HE(,)%
Zgte|ofop BTk,

thel EZ o= ProductsO|M, siEst= OPL X
O|= dvar float+ Production[Products];®&IL|Ct.

CtEs §E9| o= Products,ComponentsO|H, S
St= OPL ®E2l= dvar float+

Production[Products] [Components] ; &I L|Ct.

decision_output_map

=zt £ Loyt g2 202 OPLY| Mol H
S Af0|9 HE MoILCH SE0 U= 2 Q|

El= 2tz Hlo[E{ Lt

4 0|E. OPLOIM Z£2{0i| A2 4 0| Y

Mg /4.7t

olr

oh 22 int, float & string

£3 UL 0|8. ZIHEH L= HEUINOIAM of

=
ELICho:

S

=
APSt= T
[['Production','int','res'],['Remark",
'string','res_1'J['Cost','float',
'res_2']]

derive _stbnode EM

Space-Time-Boxes =E& %I, BE,
G ot 8ISt Space-Time-BoxesE THEZE

Of| |

Ho10 F =

In
12
e
H
In
Am
0x
U=y
[y
O



node =

# Individual Records mode
node.
node.
node.
node.
node.
node.
node.

# Hangouts mode
node
node.
node
node
node.
node.

H 65. Space-Time-Boxes =E E4

setPropertyValue("mode", "IndividualRecords")
setPropertyValue("latitude field", "Latitude")
setPropertyValue("Tongitude field", "Longitude")
setPropertyValue("timestamp _field", "OccurredAt")
setPropertyValue("densities", ["STB_GH7 1HOUR", "STB GH7 30MINS"])
setPropertyValue("add extension_as", "Prefix")
setPropertyValue("name_extension", "stb ")

.setPropertyValue("mode", "Hangouts")
setPropertyValue("hangout _density", "STB_GH7 30MINS")
.setPropertyValue("id_field", "Event")
.setPropertyValue("qualifying duration", "3OMINUTES")
setPropertyValue("min_events", 4)

setPropertyValue("qualifying pct", 65)

modeler.script.stream().createAt("derive stb", "My node", 96, 96)

derive_stbnode £

Hiolg fd

m

Z
nx
0B

densitiesS A ZESIHAIL.

mode IndividualRecords
Hangouts
latitude_field field
longitude_field field
timestamp_field field
hangout_density density thed QLI f=e LT 2ol CholM=
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H 65. Space-Time-Boxes == X (Al%)

derive_stbnode 54 Clolg |¢ £4d 49
densities [density, density,..., density] 2t U= SXHEULICHO: STB_GH8 1DAY).
. 2% U0 cist stA7F JSLICH
geohash®| A2 GHIEE GHISTHXIQ| s A8
£ UGLICH A2t HEQl AR LIS 2 A8
o ASLC
EVER
1YEAR
1IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field field
qualifying duration 1DAY ZXE0[0{0F LTt
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events integer iA 7 M ke 2LCt
qualifying pct integer 11+ 10029 Helof Ao{of Lt
add_extension_as Prefix
Suffix
name_extension string

Ho10 F =

In

12
1]
H

In

m
0x
o
N
[y



distinctnode EA

KK

o
=
[

e
--+
P

Ol |

node =

[
LEE
=HO
3%5

M 0 HI=E H0H 2AEZHCR2 HEBALE

x

Hole AEZCZ TSN 5 HIA=E HMAGLILE

stream.create("distinct", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("fields", ["Age" "Sex"])
node.setPropertyValue("keys pre_sorted", True)

BN Y 2ES

E 66. distinctnode 4.

distinctnode 4 Holy |4 £4 MY

mode Include N HW 1R HIZEE HojE AER0 ZestALL

Discard AN M 1F HIZEE MHSD tfd 2E 5 8

TIEE Hojg AEZOR MY £ JBLICH

grouping_fields list HIEI SYSK| EE THESH= O AH8Ste
EE LtEgLCH
1. 0| E42 IBM SPSS Modeler 165H Cf 0]
& AZSHX| k&Lt

composite value TXSHE &R ofzf OlE EZSHMAIL.

composite_values Tx3E &R offl oE EZSHIAL.

inc_record_count flag Zt S HREE "yshy| fdl Egke 2 8=
E £E X¥st= 29 HEE ZhdeLcth

count_field string HIZE Ji HES 0|32 XHYLILC

sort_keys TxotE SR, &1 o] EM2 IBM SPSS Modeler 162E H 0|
2 AFZSEX| LT

default_ascending flag

Tow_distinct_key_count flag A2 29 Y IAE Sl/Es F] HEQ A2 9 1
T USE D JASS XHLICH

keys_pre_sorted flag ST 7| U2 A= ZE HZETF Y=o EH 2
S X|FLELICL

disable_sql_generation flag

composite_value EM2| o

composite value S42 Ctad &2 YUt LAZ ZSL|CH

node.setKeyedPropertyValue("composite value", FIELD, FILLOPTION)

FILLOPTIONS| A2 CtZut Z&LICH [ FillType, Optionl, Option2, ...J].

ofl:
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node

node.
node.
node.
node.
node.
node.
node.
node.
node.

.setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite value",
setKeyedPropertyValue("composite_value",

IIAgeII, [IIF.iY.StII])

"Age", ["last"])

"Age", ["Total"])

"Age", ["Average"])
"Age", ["Min"])

IIAgeII’ [IIMaXII])

"Date", ["Earliest"])
"Date", ["Latest"])
"Code", ["FirstAlpha"])
"Code", ["LastAlpha"])

AMEXE ol 82 = old9l ele7t HR5H, 0|52

node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite value",
"Separated"])

node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite value",
node.setKeyedPropertyValue("composite_value",

Ei)d()l Oﬂ

=1 O —

composite_values

2t
—

sye ct3w 2

composite values S8 =

node.setPropertyValue("composite values", [

OlH} OFAl
o

=50z FIHELULCL of:

"Name", ["MostFrequent", "FirstRecord"])

"Date", ["LeastFrequent", "LastRecord"])
"Pending", ["IncludesValue", "T", "F"])
"Marital", ["FirstMatch", "Married", "Divorced",

"Code", ["Concatenate"])

"Code", ["Concatenate", "Space"])
"Code", ["Concatenate", "Comma"])
"Code", ["Concatenate", "UnderScore"])

el

k=1
1=

[FIELD1, [FILLOPTION1]],
[FIELD2, [FILLOPTION2]],

1)

off:

node.setPropertyValue("composite_values", [
[IIAgeII’ [IIF.irstll]]’

["Name", ["MostFrequent", "First"]],
["Pending", ["IncludesValue", "T"]],

["Marital", ["FirstMatch", "Married", "Divorced", "Separated"]],

["Code", ["Concatenate", "Comma"]]

1)

extensionprocessnode §%4

A

£ M83tH AERI9 HO|HE M8t R 2
! At83t0] HlolE

H 10 & =

In



Python for Spark Ci|X|

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_process”, "extension process")
node.setPropertyValue("syntax_type", "Python")

process_script = """

import spss.pyspark.runtime
from pyspark.sql.types import *

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = StructType([StructField("Age", LongType(), nullable=True),
StructField("Sex", StringType(), nullable=True), \
StructField("BP", StringType(), nullable=True), \
StructField("Na", DoubleType(), nullable=True), \
StructField("K", DoubleType(), nullable=True), \
StructField("Drug”, StringType(), nullable=True)])
cxt.setSparkOutputSchema(_schema)
else:
df = cxt.getSparkInputData()
print df.dtypes[:]
_newDF = df.select("Age","Sex","BP","Na","K","Drug")
print _newDF.dtypes[:]
cxt.setSparkOutputData( newDF)

node.setPropertyValue("python_syntax", process script)

R G|

#### script example for R
node.setPropertyValue("syntax_type", "R")

\

node.setPropertyValue("r_syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")

next_day<-day + 1
modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat=""

fieldRole="")
modelerDataModel<-data.frame (modelerDataModel,varl)""")

H 67. extensionprocessnode 4

extensionprocessnode EA ciolH |% Ed 49

syntax_type R Adgt ASZE R = Pythong X|ESHYAIR
Python ol 7|122)).

r_syntax string iy R AFEE A2YULICH

python_syntax string AT Python 23EE FLELICH

use_batch_size flag BiX| M2| AH8ES 7HSSHAl gt

batch_size integer Zh HiXlof| ZE CIolE 2REQ 5 X|FSHIA

2.

convert_flags StringsAndDoubles =t BEE HEsl= 4.
LogicalValues

convert_missing flag AEUS R NA 2CR HEsle SMULICH
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H 67. extensionprocessnode S (%)
extensionprocessnode E4 clole /¥ EMd MY
convert_datetime flag 20 = M/ AT HAS = HEE R EW/A
7t Aoz Helstke g4
convert_datetime_class POSIXct HUf = /A HAlg W= HAE HEtY o
POSIX1t Mg XHste 24
mergenode £
By CoE OE F 2EEE Fotn ¢ TEo| U = BRE EEche Y £ gAs
po 2 £ ZMfLIch e 12 fojy 3 7ozt ARSASHA oy Ze Aot AA9 CojH Hgt
ol RELICE
of| |
node = stream.create("merge", "My node")
# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)
stream.link(salesdata, node)
node.setPropertyValue("method", "Keys")
node.setPropertyValue("key fields", ["id"])
node.setPropertyValue("common keys", True)
node.setPropertyValue("join", "PartialOuter")
node.setKeyedPropertyValue("outer join tag", "2", True)
node.setKeyedPropertyValue("outer_join_tag", "4", True)
node.setPropertyValue("single Targe input", True)
node.setPropertyValue("single_large_input_tag", "2")
node.setPropertyValue("use_existing_sort_keys", True)
node.setPropertyValue("existing sort keys", [["id", "Ascending"]])
H 68. mergenode EM.
mergenode £ ool /¥ E4d 49
method Order B Z =Tt oo|E ol 1 f°“'5| =NE HEE =
Keys X| o2, stLt O|M9] 7| HEE 7| HEO| Y%t ot
Condition 2 &= YI2EE %‘E&E 1I AE SR o8, XM
= =T HSD| = =
Rankedcondition £ 2200| SEH=T AR BRE=K 0T, 1%
ol ZE 2%t HIO|Ef MEOIA 42 O|RE 2t HO|
HYE =X HEE XFHAI. &2 EHAS A
gl0] RE CE HX|E W2 ARE 2 ACE
X2 HHELCh
condition string method?t Condition2Z HFEM IZE o &
= NeIE flst =g XI™FLICL
key fields list
common_keys flag

Ho10 F =



H 68. mergenode S (A%).
mergenode £ Cilole /% EM M9
join Inner
FullOuter
PartialOuter
Anti
outer_join_tag.n flag 0] E40IM n2 CIOIE ME MEH CH3t MXjo| ®
AEl= Ef O|SILICE 2A2Ql9| ==2| CIOIE| MEZ}
ST HIEE J|0Y = JA2B = C1F Ef O
E0| XgE + A&LIC
single_large_input flag CHE 20 HW5t Moz 2 Lt A==
e HHe A RS XIFeCt
single_large_input_tag string Oi clole ME MEf chst &Kol EAIE= B2
O|§2 XIFELICH Y HO|E MEE StLtgt XH
g £ A7 WEo| of S AFBEH=2
outer_join_tag S&(ZM of EXtE)zt 47t Ot
52 HUSAR.
use_existing_sort_keys flag {0l o|O| Lt ojAtel 7| HEO 23 HEEE=
X ofE X|FgLct
existing_sort_keys [['string’, 'Ascending'] \|O|0] HE TE % oyt MPEHe= wadgs XF
['string”, 'Descending']] erLict
primary_dataset string method”} Rankedcondition®! 2 HetolAM 1X+ o
Ol MEE MEfSIHAIR, 0|2 2§ ZY Hyol
ZoZ 7tFE £ USLICL
rename_duplicate fields 2g methodZ} RankedconditionO|Z 0|Zi0| Y2 MNL
= 2%, 40z MJ|= e OolH METJL CHE
Clolg AAQl SYE O|ES = UE EEE X
gotH HojE AAQ| diE EjIF HE F &2
AlZHO]| Z=THEILICE
merge_condition string
ranking_expression string
Num_matches integer merge_condition 3 ranking expression2 7|gt2
= 2|HE ofX| +uch &4 1, X 100.
=
rfmaggregatenode £

RFM(Recency, Frequency, Monetary) S8 TE& ALE5tH

1749 S| AEE| HolHE

Eﬁt Fotn DE AFRSIA| 42 HO|EE MAMstD OHX|2OR CHE Al7|, BHASH ESTM 4 dig E
BRMO| POIENS LpFste CHY HOR D= LIHX| EHMM HJo|EE Zers & Lot

Of| |

node =

stream.create("rfmaggregate", "My node")

node.setPropertyValue("relative to", "Fixed")
node.setPropertyValue("reference date", "2007-10-12")
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node.setPropertyValue("id field",

node.setPropertyValue("date field",

node.setPropertyValue("value field",
node.setPropertyValue("only recent transactions",

"CardID")

True)

node.setPropertyValue("transaction_date_after", "2000-10-01")

H 69. rfmaggregatenode S4.

rfmaggregatenode £ clole /% Ed 49
relative to Fixed Edi™Mol £ 2M40| AMElE EWE X|FHAR
Today
reference_date date relative_toOlAd Fixed7t MEHE ZHR0TH AL I}
st
contiguous flag St IDE #&= ZE 2ZETt oiojE AER &
H LEHLIESE CIOE7L AR FEE 32, 0] 24
= MEiStH XM2[Tt Jt&etELCt
id_field field U gl Mol ERHMMS AESH| ool g H
EE XHAIR
date_field field HZES ARSI Qs Al8Y € HEE X|Ft
MA|.
value_field field TOHEA g AUMSHI| 2l Ar8e EES X|FS
MAI
extension string = S HEo| tigt MFEA E= HOIZXE X
ot AR
add_as Suffix extensionO| HO|EXt = HEEXE FIHEXIE X
Prefix HoHA L.
discard_low_value_records flag discard_records_below &% AL&E 7ts6HA &L
Ct.
discard_records_below number REM ZBAE ALt wf O ofgfe] ZE EHTM A
SAEE AKX b= A4S KHGHUAIR. 2tel
tHelE MEHE value TESF 2AH7E USLICE
only_recent_transactions flag specify_transaction_date &=
transaction_within_last &% & stLiQ| AIEE Tt
SOHA| gLC).
specify_transaction_date flag
transaction_date_after date specify_transaction_dateZ} MEHEl HL0TF AL
JbsBILICE O 0|29 BZET B0 ZatE EH
ME LWE XHSHUAIL.
transaction_within last number transaction_within_last7t MEHEl ZL0|T ALE Tt
SYLIth O oj=9 YAt 2Mof| ZetE Lo
U 22Y AM=RES JIZKY, F E E
= &)2 |da 2 XFHAL.
transaction_scale Days transaction_within_last7t MEHEl Z0{2t AL Tt
Weeks SELICL O o|F9| HRETL 2Mof ZEE gunof
Months doiEel 22 ALU=RE JIZHY, F, E E
Years = @)e | 5 XFHYAR
save_r2 flag Zb nMof chet & $m X2 EAMMMO IWE H
ALt




B 69. rfmaggregatenode S (AHl%).

rfmaggregatenode £ Cilole /% EMd MY

save_r3 flag save_r27} MEHEl FL0(2h AL JhsELICH 2F 1
ZHoj| CHE M| x| %2 EMMO| IWME HAIEHL
ct.

Rprocessnode §%4

R #8 LES A28 IBM(r) SPSS(r) Modeler AEZI0]

‘R M CIO[EIZ JHHetM CIO|E{Z AlRX 199 R ASZER
' AFE & UALICH HO[E{T} +HE B0 AEZOR alEl
Lict
of|A|

node = stream.create("rprocess", "My node")

node.setPropertyValue("custom name", "my node")

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")
next_day<-day + 1

modelerData<-chind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat=
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert datetime", "POSIXct")

H 70. Rprocessnode 4.
Rprocessnode §4 ciole /¥ EM MY
syntax string
convert_flags StringsAndDoubles
LogicalValues
convert_datetime flag
convert_datetime_class POSIXct
POSIX1t
convert_missing flag
use_batch_size flag HHX XM2| AHEE 7tsSHAl gfLich
batch_size integer Zh HiXlol| ZE CIolH 2REQ 5 X|FHUA
Q

samplenode §4

. EE =TS DCo| MENES MEjpiLch B8, +TuY, sloo|(RRsh BES Tyt ot
- Pt B2 Q0| NYUELICH ERAS2 M52 oD 242 Flf B2 HBSU EARA
thg Mests o 88 4 AU,

Of| |

128 1BM SPSS Modeler 18.1.1 Python A3 & % X535} QLA



/* Create two Sample nodes to extract
different samples from the same data */

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Simple")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("sample type", "First")
node.setPropertyValue("first n", 500)

node = stream.create("sample", "My node")

node.setPropertyValue("method", "Complex")

node.setPropertyValue("stratify by", ["Sex", "Cholesterol"])

node.setPropertyValue("sample_units", "Proportions")

node.setPropertyValue("sample_size_proportions", "Custom")

node.setPropertyValue("sizes proportions", [["M", "High", "Default"], ["M", "Normal", "Default"],
["F", "High", 0.3], ["F", "Normal", 0.3]])

® 71. samplenode S4.

samplenode £ Cilole /¥ EM MY
method Simple
Complex
mode Include X™E z71g DtESH= 2ZEE 2o e A
Discard LIC
sample_type First BEEFE WHE XHELICL
OneInN
RandomPct
first_n integer X™E 22l® AXIMKQ 2BETE T ALE AF|
gLt
one_in_n number 2= oW HIREES EXE L= AEELCH
rand_pct number Z o= AN YRES HUEES X[FHYA
use_max_size flag maximum_size &% A2 7HsSHA HLICh
maximum_size integer ClolE AERIOIM Eot = MAE 71E 2 22
X HSHAR. 0] 82 =022 First X
Include?t XIEE W= AESHR| Qi&LICH

set_random_seed flag = A= 2HE ME JHsSHA gLtk

e
random_seed integer Ha AER A= S XFSHIAIR.
complex_sample_type Random
Systematic
sample_units Proportions
Counts
sample_size_proportions Fixed
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions number
fixed_counts integer
variable_proportions field
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E 71. samplenode 548 (AH%).

samplenode £ Cilole /% EMd MY

variable_counts field

use_min_stratum_size flag

minimum_stratum size integer 0] M2 Sample units=ProportionsE AL2SI0]
o EE2S A 2Y Pt MEEULC

use_max_stratum_size flag

maximum_stratum size integer 0] &ML sample units=ProportionsE AIEsl0] =
g EE2S A2 Pt MEEUCH

clusters field

stratify_by [field1 ... fieldN]

specify_input_weight flag

input_weight field

new_output_weight string

sizes_proportions

string wvalue]...]

[[string string value][string

sample_units=proportions 5!

sample_size_proportions=Custom@! &2, &% HE
el 7tset 2b xghofl et gte KIFELCh

default_proportion number

sizes_counts

string wvalue]...]

[[string string value][string

3t "WE gre| Jhstt 4
LICt AtEH2 sizes_proportmnsQF FAFSER| 2t B

2 oY g5 XZYYLIch

default_count number

selectnode E4A

Heh
|
=

(2 ]

Of| |

node = stream.create("select", "My node")
node.setPropertyValue("mode", "Include")

node.setPropertyValue("condition", "Age < 18")

H 72. selectnode EM.

| &
HREE MEY > %‘ﬁ'—lﬁh

selectnode 4 clole /3 Ed 49

mode Include MEHEl BZEE E = MENEX| GRE XFY
Discard LICF,

condition string HIZE EY £= AMA[of chet ZHLICH
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sorthode E4

Of| |

node

stream.create("sort",
node.setPropertyValue("keys", [["Age", "Ascending"],

"My node")

["Sex", "Descending

node.setPropertyValue("default_ascending", False)

node.setPropertyValue("use _existing_keys",

True)

node.setPropertyValue("existing_keys", [["Age", "Ascending"]])

¥ 73. sortnode EM.

"11)

sortnode 4 cioje] /¢ £4 49
keys list HEslzl= HES XHYLIC weko| XIFE X gb=
a2 7|24 A8YLCh
default_ascending flag 712 8 &ME XIFELICL
use_existing_keys flag oj0] ¥EE HEo gt o HE &ME ALE3IY
HEO| 2[HotE|=X| K E X|FELIC
existing_keys ojo| FH& HE 3 Hoot FEE = Hes XEY
LICt keys 43t SYot HAMS AISHLICE
=
spacetimeboxes &4
STB(Space-Time-Box)= Geohash &7t /X[ &EQILICE HL} MMSHA HHSHXIH STB= 52t
o U AZHS HI|Mo=Z BYO=R EAlHE LHRHE 2XtEQLCH
H 74. spacetimeboxes S8
spacetimeboxes EA clol /% EM MY
mode IndividualRecords
Hangouts
latitude_field field
Tongitude_field field
timestamp_field field
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H 74. spacetimeboxes £ (A%)

spacetimeboxes £ clole /% EMd MY
densities [density, density, density...] 2t U= SAFEJLICE ofl: STB_GH8_1DAY
S YZol| oiet AT UELICH
geohash®| 29 GHI1-GH159| & AH8Y
LICk.
Azt IEQ| 22 CHg S A 8E = JU&Ln
EVER
1YEAR
IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
field name_extension string
add_extension_as Prefix
Suffix
hangout_density density el UE(R9 LE EX)
id_field field
qualifying duration 1DAY =XtEolo{of BfL|Ct.
12HOURS
8HOURS
6HOURS
4HOURS
2HOURS
1HOUR
30OMIN
15MIN
10MIN
5MIN
Z2MIN
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events integer HAZ2 2Q4LICE

132 I1BM SPSS Modeler 18.1.1 Python A3 & % X535} QLA



H 74. spacetimeboxes S8 (A1)
spacetimeboxes £ clole /¥ EMd MY
qualifying pct integer 1-1002| He|0{OF ZL|Ct
streamingtimeseries &4
= AER|Y ANAE E= 3t THAZ AAE ZEE Zgstn AToYYLICHL
LD A1 0] AE2|Y AAE LEE SPSS Modeler®| HF 180 Cf 0|4 AMSEX| b fl2fol &

= E2y A =E8

B 75. streamingtimeseries S8

CHA|

L|Ct.

streamingtimeseries S o EM HdY
targets field AEE|Y AAE E= MEH

=
o= sfLt ol4el Y mWE
A

|
SHE O|=gLch gle 3L 7t

= WoE AMRSHR eaLCt
TtMlEt HE=
[[25 293 =C E4) P
W8 HESHAIR
candidate_inputs [field1 ... fieldN] SHM MESHE YH EE=
Of|EHL HEQILCH
use_period flag
date_time_field field
input_interval None
Unknown
Year
Quarter
Month
Week
Day
Hour

Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field field
period_start_value integer
num_days_per_week integer
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H 75. streamingtimeseries E4 (Al%)

streamingtimeseries 4

7k
BA

start_day_of_week

Sunday
Monday

Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

integer

start_hour_of_day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

list

output_interval

None
Year

Quarter
Month
Week
Day
Hour
Minute

Second

is_same_interval

flag

cross_hour

flag

aggregate_and_distribute

list

aggregate_default

Mean
Sum

Mode
Min

Max

distribute_default

Mean
Sum

group_default

Mean
Sum

Mode
Min

Max

missing_imput

Linear_interp
Series_mean

K_mean
K_median

Linear_trend

k_span_points

integer
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H 75. streamingtimeseries 4 (Al%)

streamingtimeseries £ ot Ed 49
use_estimation_period flag
estimation_period Observations
Times
date_estimation list date_time_fieldE At83st=
oot A8Y 4 UAFLICH
period_estimation list use_periodE AtEdt= Z20
ot AIEE 4 UASLIC
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level shift flag
expert_outlier_innovational flag
expert_outlier_level shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
consider_newesmodels flag
exsmooth_model_type Simple

HoltsLinearTrend
BrownsLinearTrend
DampedTrend

SimpleSeasonal
WintersAdditive
WintersMultiplicative
DampedTrendAdditive
DampedTrendMultiplicative
MultiplicativeTrendAdditive
MultiplicativeSeasonal
MultiplicativeTrendMultipli
cative

MultiplicativeTrend
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H 75. streamingtimeseries E4 (Al%)

streamingtimeseries £ o EM 49
futureValue_type_method Compute
specify
exsmooth_transformation_type None
SquareRoot
NaturallLog
arima.p integer
arima.d integer
arima.q integer
arima.sp integer
arima.sd integer
arima.sq integer
arima_transformation_type None
SquareRoot
NaturallLog
arima_include_constant flag
tf_arima.p. fieldname integer Ho| g LCh.
tf_arima.d. fieldname integer THo| g8LCt
tf_arima.q. fieldname integer Ho| g LC.
tf_arima.sp. fieldname integer To| gLt
tf_arima.sd. fieldname integer Ho| g LCh.
tf_arima.sq. fieldname integer Ho| e LTt
tf_arima.delay. fieldname integer Ho| g LCh.
tf_arima.transformation_type. fieldname None Ho| gL
SquareRoot
NaturallLog
arima_detect_outTiers flag
arima_outlier_additive flag
arima_outlier_level_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
conf_limit_pct real
events fields
forecastperiods integer
extend_records_into_future flag
conf_limits flag
noise_res flag
136 1BM SPSS Modeler 18.1.1 Python A3 & % K53} QLA




streamingts S4(0 0|4 AIE2E|X| 212)

— &1 0] Y2 AEZY AMAE LEE SPSS Modeler HH 1804l T 0|4 ALEE|X| Ol IBM
) SPSS Analytic Server?| 7|5S O|83%t0 | HIO|E{E XN2[st=E HAIE A AE2(Y AAE

E2 tHERAEHCLAERY TS =E= AlZE 128 =271 He Q10| o BHAZ AAHE 22s %
gotn 230yt

of| |

node = stream.create("streamingts", "My node")
node.setPropertyValue("deployment force rebuild", True)
node.setPropertyValue("deployment_rebuild_mode", "Count")
node.setPropertyValue("deployment rebuild count", 3)
node.setPropertyValue("deployment_rebuild pct", 11)
node.setPropertyValue("deployment rebuild field", "Year")

H 76. streamingts S4.

streamingts EM clole /¥ EM MY
custom_fields flag custom_fields=false@l &%, HAER | E
o MHg AZTLICL custom_fields=trueQ! Z<L
targets % inputsZt X|&E|0{0F BIL|CE
targets [field1...fieldN]
inputs [field1...fieldN]
method ExpertModeler
Exsmooth
Arima
calculate_conf flag
conf_limit_pct real
use_time_intervals_node flag use_time_intervals_node=true®! A2, YAEZ A|
2t F2t 29| d™HE MERLICL
use_time_intervals_node=false?! &L
interval_offset_position, interval_offset,
interval typeO| X|™E[0{Of BLICE
interval_offset position LastObservation LastObservation2 OrX|8F |= ot 2EZS o0l
LastRecord LICt. LastRecord= OFX[2} HIZENAN FlZ= ASE
olofgfLct.
interval_offset number
interval_type Periods
Years
Quarters
Months
WeeksNonPeriodic
DaysNonPeriodic
HoursNonPeriodic
MinutesNonPeriodic
SecondsNonPeriodic
events fields
expert_modeler_method AT1Models
Exsmooth
Arima
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H 76. streamingts 8 (A1)
streamingts £ clole |4 EM M9
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level_shift flag
expert_outlier_innovational flag
expert_outlier_transient flag
expert_outlier_seasonal_additive |flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type =
SquareRoot
Naturallog
arima_p integer AAYE ZEal oo A9 e EN
arima_d integer ANAY REHZ LEO AR e ENM
arima_gq integer AAYE ZEal oo A9 e EN
arima_sp integer ANAYE ZHE o] AR 2 EY
arima_sd integer AAY ZE2 oo A9 e EN
arima_sq integer ANAYE BH2 o] AR 22 EY
arima_transformation_type =) AAY DHE Lo AR 2 EN
SquareRoot
NaturallLog
arima_include_constant flag NAZ ZEE =0 HRe 242 EN
tf_arima_p.fieldname integer AAE 2R e ZRet 22 SYYLCt To|
stgelLch,
tf_arima_d.fieldname integer ANAE ZEY 2o 28t 22 E4YLIC) Hol
g8t
tf_arima_q.fieldname integer AAE B =9 Aot Z2 EMQILICE HO|
S4geLitt,
tf_arima_sp.fieldname integer AAE 223 2o Zeet 242 E4YL|Ct Ho|
stagelLch,
tf_arima_sd.fieldname integer AAE BRZ =9 Aot Z2 EMQILICE Ho|
g-EYLtt.
tf_arima_sq.fieldname integer ANAE 22 2o Zet 242 E4YL|Ct HOo|
g8,
tf_arima_delay.fieldname integer AAE 2 LEo| Zet 42 E4LCt To|

gLt
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E 76. streamingts S8 (A1)

streamingts 4 cliole /¥ EM M9
tf_arima_transformation_type. aus
fieldname SquareRoot
NaturallLog
arima_detect outlier mode =)
Automatic
arima_outlier_additive flag
arima_outlier_Tlevel_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag

arima_outlier_seasonal_additive |flag

arima_outlier_local_trend flag
arima_outlier_additive_patch flag
deployment_force_rebuild flag
deployment_rebuild_mode Count
Percent
deployment_rebuild_count number
deployment_rebuild_pct number
deployment_rebuild_field <field>
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240l Ef% EZOR HAEE= HYS Hetsto] Y Ho|EHE flEe
P o]z

o (==}
7|Eb MiRAre 22 TSt HIo|EE A3t ZES

v

Of| |

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)
varfilenode.setPropertyValue("full _filename", "$CLEO/DEMOS/DRUG1n")
node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)
node.setKeyedPropertyValue("enable_anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set random_seed", "Age", True)
node.setKeyedPropertyValue("random seed", "Age", 123)
node.setKeyedPropertyValue("enable _anonymize", "Drug", True)
node.setKeyedPropertyValue("use_prefix", "Drug", True)
node.setKeyedPropertyValue("prefix", "Drug", "myprefix")

® 77. anonymizenode S

anonymizenode £ clole /Y EM MY
enable_anonymize flag True2 AFEEH HE {9 3t S yotetL|ch@t AdEst &
oflM siiE ol CHel YesE MEfSH= 23t SS).

use_prefix flag TrueZ2 MEEH AEX Ho| HEEXIL XHEl= A2 ASHLICH
Hash BlAE0] o8 Zf 2EatE HEo HEEH g B0 o
oF 2t HH7| CHob &XtollA AR Fo| th MEd HHRE ME4SH
= A SSELICE

prefix string ot HH 7| oot &Xte] EIAE MXto| HERXE Ysh= M &
SYLICH o2 Aol XFEX| g2 ER 7|2 EEXs 7124
LiCt.

transformation Random Transform HAE0] 23 AHEstE|= HEO| CHpt HE Z4It H

Fixed g OE NHRIX| 6EE mHEHL|CE

set_random_seed flag True2 HFEH XHE AE g2 AEELCHtransformation=
RandomQ 2 HHEEl HL).

random_seed integer set_random_seed?} TrueZ HFE M 0|20| 5 [t AIEY
Lict.

scale number transformationO| Fixed2 HHME o, 0| g2 "ML J7|&"0| AIE
LICE 2o ME g2 HE 100(X|2H @HEZRE moh| QI8 &
Y ST UFLICH
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® 77. anonymizenode S (%)
anonymizenode E4 clole |d EM M9
translate number transformationO| Fixed2 MHFE w, O] IS "H0 ALETL
Ch. Z|cH #H28 ZHe 25 10000|XI2F RHEZRE Tst7| Qdi &
A 22 JAGLICH
=
autodataprepnode §4
Xt& Clo|E ZFH|(ADP) ==& HO|HE R2AMstT HAIZE AEstT, 22X7F UL f8€ A
o d /] ZX| 2 HEE FNAAZ|D, HESH 2 M SM2 THUAIZ|D, XY MYE 5 BE2FE J|HE
—_ o ds2 MHY = USLICH 2™ XpSotE YAOZE LEE ALY LE7 TS ME
st MY 2 UA| SHALE, HAAEO| 2N 3 SQIET| Mo HAZ O[2|2ALE, HE E= ¥
st HE 7HEE o JUSLICH
of| x|
node = stream.create("autodataprep", "My node")

node.setPropertyValue("objective", "Balanced")
node.setPropertyValue("excluded fields", "Filter")
node.setPropertyValue("prepare_dates_and_times", True)
node.setPropertyValue("compute time until date", True)
node.setPropertyValue("reference date", "Today")
node.setPropertyValue("units_for_date_durations", "Automatic")

# 78. autodataprepnode EH
autodataprepnode £ ool |4 EM MY
objective Balanced
Speed
Accuracy
Custom
custom_fields flag True@! 29 o =0 Oigt S8, AU 3 7|
Bt ZES XEY o+ USLICE False@! 22 ¢
AEZ QY LEO WX M¥s AL
target field o 2E HEE XFLICH
inputs [field1 ... fieldN] DM AIESh= Y™ E= oEHS HEQL
ch.
use_frequency flag
frequency_field field
use_weight flag
weight_field field
excluded fields Filter
oo
HA TS
if_fields_do_not_match StopExecution
ClearAnalysis
prepare dates_and_times flag DE 9 % A7t THEo| CHE HMAS FMoi
Lict.
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¥ 78. autodataprepnode EX (A%)

autodataprepnode £ clole |4 EM 49
compute_time_until_date flag
reference_date Today
Fixed
fixed_date date
units_for_date_durations Automatic
Fixed
fixed_date_units Years
Months
Days
compute_time_until_time flag
reference_time CurrentTime
Fixed
fixed_time time
units_for_time_durations Automatic
Fixed
fixed_date_units Hours
Minutes
Seconds
extract_year_from_date flag
extract_month_from date flag
extract_day from_date flag
extract_hour_from_time flag
extract_minute_from_time flag
extract_second_from_time flag
exclude_Tow_quality_inputs flag
exclude_too_many missing flag
maximum_percentage_missing number
exclude_too_many categories flag
maximum_number_categories number
exclude_if_large category flag
maximum_percentage_category number
prepare_inputs_and_target flag
adjust_type_inputs flag
adjust_type_target flag
reorder_nominal_inputs flag
reorder_nominal_target flag
replace_outliers_inputs flag
replace_outliers_target flag
replace_missing_continuous_inputs |flag
replace_missing_continuous_target |flag

replace_missing_nominal_inputs

flag




® 78. autodataprepnode EX (A%)

autodataprepnode £ clole |d EM MY
replace_missing_nominal_target flag
replace_missing_ordinal_inputs flag
replace_missing_ordinal_target flag
maximum_values_for_ordinal number
minimum_values_for_continuous number
outlier_cutoff_value number
outlier_method Replace
Delete
rescale_continuous_inputs flag
rescaling_method MinMax
ZScore
min_max_minimum number
min_max_maximum number
z_score_final_mean number
z_score_final_sd number
rescale_continuous_target flag
target_final_mean number
target_final_sd number
transform_select_input_fields flag
maximize_association_with_target flag
p_value_for_merging number
merge_ordinal_features flag
merge_nominal_features flag
minimum_cases_in_category number
bin_continuous_fields flag
p_value_for_binning number
perform_feature_selection flag
p_value_for_selection number
perform_feature_construction flag
transformed_target_name_extension string
transformed_inputs_name_extension string
constructed_features_root_name string
years_duration_ name_extension string
months_duration_ name_extension string
days_duration_ name_extension string
hours_duration_ name_extension string
minutes_duration_ name_extension string
seconds_duration_ name_extension string
year_cyclical_name_extension string
month_cyclical_name_extension string
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¥ 78. autodataprepnode EX (A%)

autodataprepnode £ ool /% E4 49
day_cyclical_name_extension string

hour_cyclical_name_extension string

minute_cyclical _name_extension string

second_cyclical_name_extension string

astimeintervalsnode EM

TZhe XEStD FF e AAE 2ME 2ot M Azt ZEE TS M Az 7t LEE ALE
SHIAIR. ARE WK, RE ¥l AlZt RZto| XIELCt
H 79. astimeintervalsnode £
astimeintervalsnode E4 oiole |3 EM MY
time_field field thl A4y HEoh Solg = JASLICH sig o
Es 2H4 HaE 2ot S JIEM LB AL
LICE o7|0M M HEE M8 22 Azt
X0l Ho=Z ZhFEL|Ct
dimensions [field1 field2 ... fieldn] |0l EEE EE S 7|HCE JiE AAES &
Mete o AMSRLICE
fields_to_aggregate [field] field2 ... fieldn] |Ol§ BEE AlZt HEQ| 7|Zts HFSH= e
Y2 SELICL 0] 1EHE?OH ZOtEX| ete
DE dEE= LEE Li7tle HoEoAM ZEZE
LICt
- - E
binningnode §4
T2Hel B hLp O|AQ| J|E AKHH(xXt Bl TEQ S JIHteE M HEYMKME) HEE
ﬂfﬂﬂﬂ- ASOE XMPLICL OlE §0f, d4y 2 LUEE HWHMAS HAZM £ IES E8sts
> M HEd HeE=Z Hetg £ JASLICE A ZEof ofet 1zte &M3 Sole FHES 7|Rez ot
M LEE My > AL
of| |
node = stream.create("binning", "My node")
node.setPropertyValue("fields", ["Na", "K"])
node.setPropertyValue("method", "Rank")
node.setPropertyValue("fixed_width name extension", " binned")
node.setPropertyValue("fixed width_add as", "Suffix")
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node.setPropertyValue("fixed bin _method", "Count")
node.setPropertyValue("fixed_bin_count", 10)
node.setPropertyValue("fixed_bin_width", 3.5)
node.setPropertyValue("tilel®", True)

H 80. binningnode M

binningnode §4

Hiolge |

fields

[field1 field2 ... fieldn]

method

FixedWidth
EqualCount

Rank
SDev
Optimal

rcalculate_bins

Always
IfNecessary

fixed_width_name_extension

string

fixed_width_add_as

Suffix
Prefix

fixed_bin_method

Width
Count

fixed_bin_count

integer

fixed_bin_width

real

equal_count_name_
extension

string

equal_count_add_as

Suffix
Prefix

tiled

flag

tileb

flag

tilel0

flag

tile20

flag

tilel0O

flag

use_custom_tile

flag

custom_tile_name_extension

string

custom_tile_add_as

Suffix
Prefix

custom_tile

integer
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miopch 2E0] XA A= Cf|OfE

—Ho

= A FZoflet FIkES

0|E2 E0(MOIEXh E= AlZ|
Xh FItEl =X HEE XHELICL 7|12 &
income_BINQIL|C}.

_TILEQIL|LCE,
AtE3t0] MMEE ZE 0|20
fXH= _TILE Clst7| NO2, N2

el 29l

0x M
do | 0%

AT

v
gl

)
O|F

H

J:
HT




H 80. binningnode EX (A%)

binningnode £

HiolE fd

=
Ed 48

equal_count_method RecordCount RecordCount HAE= 2b HZto| SY HZE
ValueSum 42 X|HSHX[2, valueSum HIAEE 2 27t| Bt
A7t %a’ofEE HIEEE XIFELICH
tied_values_method Next HAAE gt CoIHE Y8y 72 XFSHAIR.
Current
Random
rank_order Ascending 0| EM0ll= Ascending(£|XZ0| 12 HEAIE) =
Descending = Descending(Z/120] 12 HEA|E)O| ZEEL|
ct
rank_add_as Suffix 0] FME &2l B9, HUE &2/of HEE
Prefix =
rank flag
rank_name_extension string 712 &EXH= _RANKYILICH
rank_fractional flag M EEQ| gto| HIZZ #Ho|AQ| 7tEX| A= Lt
= =22 ST A0|AS #QIE WHLCh &
&2l= 0 - 19 "Helol So{ZLIch
rank_fractional name_ string 7|12 S&AHE _F_RANKLILCH
extension
rank_pct flag 2t =918 fret A4S 4= YIE #=2 LiFD
1002 YLt HUE 2+22= 1 - 1002
2loll SoiZLICt
rank_pct_name_extension string 7|12 & _P_RANKYLICH
sdev_name_extension string
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name extension string 7|8 xXH= _OPTIMALYLICE
optimal_add_as Suffix
Prefix
optimal_supervisor field field TUSE Qo MEHEl WET #EE 4= HER
MEHE HEQILIC
optimal_merge_bins flag A2 Ao|A BIEE 2= BE F7H0| ©f 311 0]
ot A0l ROt =F XFELICH
optimal_small_bin_threshold integer
optimal_pre_bin flag CIOIE MEQl AN F7tatyh HMets EAIL
ct.
optimal_max_bins integer XILIKIA 2 #=9 72t 2-dS msty| flst et
2 XL
optimal_lower_end_point Inclusive
Exclusive
optimal_first_bin Unbounded
Bounded




H 80. binningnode E4 (A%)

binningnode £ ool /¥ Ed 49
optimal_last_bin Unbounded
Bounded

derivenode E4

oM ==& Hl0|E S £HSHALE StLt 0|At9| 7|ZE LEZRE M TEZ ZHMEILICE 4, E
= 2, WS, Y, %, TAR RYS WES HPELIC
+>
ol 1
# Create and configure a Flag Derive field node
node = stream.create("derive", "My node")
node.setPropertyValue("new _name", "DrugX Flag")
node.setPropertyValue("result_type", "Flag")
node.setPropertyValue("flag true", "1")
node.setPropertyValue("flag_false", "0")
node.setPropertyValue("flag_expr", "'Drug' == \"drugX\"")
# Create and configure a Conditional Derive field node
node = stream.create("derive", "My node")
node.setPropertyValue("result_type", "Conditional")
node.setPropertyValue("cond_if _cond", "@OFFSET(\"Age\", 1) = \"Age\"")
node.setPropertyValue("cond then_expr", "(@OFFSET(\"Age\", 1) = \"Age\" >< @INDEX")
node.setPropertyValue("cond_else_expr", "\"Age\"")
o 2
| ATEEE ot H(ME =0, O[HIET 2ot &9 X 9 Y ZHHEE LIEILH= XPos & YPosEt=
£ hel =Xt EOo| UCtD JHESLCH ASZEE EF FEA AN i /IXIE LE= X 2 Y #
BZ2EEH X2[37F €8 ALets Il =EE ML

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new name", "Location")
node.setPropertyValue("formula_expr", "['XPos', 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the
# specifics of the geospatial object
node.setPropertyValue("geo type", "Point")
node.setPropertyValue("has_coordinate_system", True)

node.setPropertyValue("coordinate_system", "ETRS_1989 EPSG_Arctic_zone_5-47")
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¥ 81. derivenode £

derivenode S4 Clole /¥ £4d 849
new_name string M EHES 0|
mode Single tel = OfE HEE X|FRLc
Multiple
fields list LS =8 EG5HY| fIohA LS ZE0M
2t AR LT
name_extension string M EE o|E2 fIgt &HXE XIHELITH
add_as Suffix SHAE EHE 0|9 ™EEXHAIZN Hofl)
Prefix L= HOEXHEONZR FI1EL|Ct
result_type Formula ag 2 e M 229 67X K QLICE
Flag
Set
State
Count
Conditional
formula_expr string M EE g2 THY ool M AMSH| ffst
EAM YL
flag_expr string
flag_true string
flag_false string
set_default string
set_value_cond string 017l gt AREl =HE M35k 2l
TZeHE LT
state_on_val string HY z¢o| =52 i M TEQ| ke XH
gLt
state_off_val string SiM| =740] ZEE o M BEQ S XFE
Lict
state_on_expression string
state_off_expression string
state initial On M ZHEQ| 2t 3ZE0 on &= 0ffel X7
off US XIFYLICE 2t 2240 =€ o o] gt
O] Hg 4 AFLICH
count_initial_val string
count_inc_condition string
count_inc_expression string
count_reset_condition string
cond_if_cond string
cond_then_expr string
cond_else_expr string




H 81. derivenode EH (A1)

derivenode 4 Cloje fd E4 49
formula_measure_type Range / MeasureType.RANGE 0| EMEZ AIESI0 mhiEl HEQ} AZHE
Discrete / MeasureType.DISCRETE EHE oY 4 USLICE Setter 27t 2
Flag / MeasureType.FLAG K& = MeasureType @il ofLtZ HE=
Set / MeasureType.SET & JASLICEL Getter= &4 MeasureType af
off CHel 2|EgfLICt.
OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL
collection measure Range / MeasureType.RANGE LA HE (09 ZOoIE = =5)9 F
Flag / MeasureType.FLAG 2 0] E4e 7|2 fu HAE £H R¥se
Set / MeasureType.SET FolgiLict
OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
geo_type Point X|2|3zt HEQl H2 o] EM2 0| HE
MultiPoint ol EAIE=E X237 LENMES RdS
LineString HolgiLICE olHe el =S5 ZHo|er Y
MultiLineString g8 PHOF ELITh.
Polygon
MultiPolygon
has_coordinate_system boolean X|2|3zt HEQ| #2 o] 542 o] HET}
IBAE #H=Xl HEE FogLCh
coordinate_system string X2ls7t HEQl 22 0| §40| o] HEQ]
IIHAE ™olgict
ensemblenode §%4
= YME LE= = oMo ZE LIS ZYste] o9 ot ZHENAM 2E & Ues WL Mot of
£8 HSLICh
+>
of| |

# Create and configure an Ensemble node
# Use this node with the models in demos\streams\pm_binaryclassifier.str
node = stream.create("ensemble", "My node")

node.setPropertyValue("ensemble_target field", "respons
node.setPropertyValue("filter_individual model output",

node.setPropertyValue("flag_ensemble method",

eII)
False)

"ConfidencelWeightedVoting")

node.setPropertyValue(" ﬂag_vot1ng_t1e_se1ect1on", "HighestConfidence")
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H 82. ensemblenode EA.

ensemblenode 4 Clole /9 £d 4Y
ensemble target field field AHEOM MBSt ZE ZEO| TSt
S HEE XEPLCL
filter_individual_model_output flag g HEo AT0E ZuIt A = 0ok
SteX| 68 E K™t
flag_ensemble_method Voting gasE ATNHE WHSH= O A83h=
ConfidenceWeightedVoting S XIESLICE o] Y2 MEE Oy
RawPropensityWeightedVoting #0| S2i1 FEQ! F0lTh HEFLIC.
AdjustedPropensityWeightedVoting
HighestConfidence
AverageRawPropensity
AverageAdjustedPropensity
set_ensemble_method Voting gaE ATNHE THESH= O A8
ConfidenceWeightedVoting grHe X|IERLICE o] ME2 MEHE of
HighestConfidence Ao| HE HEQl Z0Tt HEELICH
flag_voting_tie_selection Random EH YHo| MEE= HR SafIE ol
HighestConfidence dot= WHE X|FELICL o] ME=2 M
RawPropensity BHEl CHalo] S EHEQ A0zt &
; . &Lk
AdjustedPropensity
set_voting_tie selection Random Ex 40| MEiE= 22 S&9E o
HighestConfidence dote g XML o] ™2 M
BHEl CHAMO| S TEQl A0t HE
ElL|Ch
calculate_standard_error flag SE HE gEHel 4R, BE 2%}
Aol 7|2Xoz HAHE0 EH EE
Z=FE 2ot MH| 2L Atolel KIO|E AHlrt
St s FFeto| Lot ZHESHA of
KM =XE HEAIGLICH

fillernode EA

ME == TE S thMlste NME 278 HATLICH eBLANK(@FIELD) Z2 CLEM XS 7|
11 HIOZ Zf2 hME £ USLICH = ZE 3 T= A2 EY ZUOE UNE S MHE 4
i JAELICHL M =E= T Y =9 &N A2t Z&gS tiMgLct.

Off |

node = stream.create("filler", "My node")

node.setPropertyValue("fields", ["Age"])
node.setPropertyValue("replace_mode", "Always")
node.setPropertyValue("condition", "(\"Age\" > 60) and (\"Sex\" = \"M\"")
node.setPropertyValue("replace with", "\"old man\"")



H 83. fillernode £4

fillernode §4 dioly &4 £d &9
fields list %0l HAE[O| CHAIE GOl MES| HEYLCE
replace_mode Always RE g, Szl S viRAL XFE xAg
Conditional 7|8t E HHE £ JUEFLICH
Blank
Null
BlankAndNul1
condition string
replace_with string

filternode E4

ZE == ZEE THIMA)SIE, EE 0|FS HESHD of 2A0M OHE 242 EE

]
2
e

vl

Of| |

node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new name", "Drug", "Chemical")
node.setKeyedPropertyValue("include", "Drug", False)

default_include S4 AtE. default_include 582 Zt2 MMM ZE LI} IS2E Zgh &
= NQE|X|= UAELICH Thad| HAXH MEHO|| CHS 7|2gf2 TEHTILCH O|AH2 7|sHoZ TH L&
CHet MXtOA Z|2Mo 2 EE ZE thEE Zelch= At SSELICE o2 59 g A3EEE A

Aotot gLt

node = modeler.script.stream().create("filter", "Filter")

node.setPropertyValue("default_include", False)

# Include these two fields in the 1ist

for f in ["Age", "Sex"]:
node.setKeyedPropertyValue("include", f, True)

T2fel eEE Age U Sex BES YD T BE ’é‘EE AHBILICE O[F SUBt ATYES Cf
Al HHSHX|2E & JHe] OHE EE ot
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the Tist
for f in ["BP", "Na"]:
node.setKeyedPropertyValue("include", f, True)
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o|nNE2 HEOf| T 7He| &It HEE FIIStH & 4719 EE(Age, Sex, BP, Na)7t MEE|A| gL|Ct

2| YA, default_include® Zt2 FalseZ MAETNE ZE EHEJL X522 MHAHEX b&L

Ct

CtE YHOZRE, AIEEE A0 E& ZE LC chal AXo|A O|X| default_includeE True

2 HEFsl=s 22, A5S FEOA 2lof LHEE 4749 HETJL ZEE= Al AR|EL|C oMol &

M= ZE & s #X0(M HOE 2zt dedsh= 20| o] #=%E2 Oofdst= o =30 & =

UG LICE

H 84. filternode £

filternode §4 cloje /¥ £4 49

default_include flag 712 30| HES MY L= HEES= AU
HEE XHsts 717t A= EGYLICE
0] 542 2%l ZE ZEE XSz Rt -
= MQIStK|= @t&LIC Bad| MEiEl HET} 7|
2xoz ol L= Q=X RS ErEeL
ot =7F M0l thshM= of2f oS EZESHIAIR.

include flag e =z 8l WMAE flet 717t = EMYLIC

new_name string

historynode §%4

S|AEE| LE= OX HIAES HEN U= HIOHE Eedt= M HEES 2deLCh AR

EE AMAIE HolH
2 =5 AI8%to] Hlo|EE HE

&

= T

Of| |

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fill with", "undef")

L|C}.

Z2 =& HiolEof 7tY Xt ArEELIth slAEE| EE AR Tl T

St A ol
V=]

T 85. historynode 54

historynode £ oiojle |3 EM 49

fields list S|IAERIE Rlots HE.

offset number S|IAER| HE g2 FZ5HE O R
X 2ZEE o|MehE X|HELCt

span number U FEoHe ol YIZES & X[FYLICH




HE 85. historynode 4 (Al%)

historynode £4 ol /¥ EM MY
unavailable Discard SIAER| 0| Q= BZE MH2E 6H, CH7H 5
Leave AEE|2 ALEY O™ BEED} gl M8 oY
Fill JHe| B|Z=(CO|Ef MEQ| T 2o OII_)E et
L|Ct.
fill_with String S|AER g2 & g & gl= AL AM8Y
Number ZfolLt BEXtE 2 X|IHgL|Ct.

partitionnode §4

: DEIM L= MEM TES MASt=H|, 0| WEES DY XAo| 3ta, AN, AS 2 93t o
Frd Mol HEHER HloEE Bttt
+—>

Of| |

node = stream.create("partition", "My node")
node.setPropertyValue("create validation", True)
node.setPropertyValue("training_size", 33)
node.setPropertyValue("testing size", 33)
node.setPropertyValue("validation size", 33)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue("random seed", 123)
node.setPropertyValue("value_mode", "System")

H 86. partitionnode £

partitionnode IE|M L= Clole /% Ed 49
new_name string T EJL MMS= mEIM HEQ| 0|8
create_validation flag dZE ME|M0| ZHdE[=X| HEE X|™HELICL
training_size integer =23 OE[M g2t ZFE9| IME0-100)
testing size integer HHY DE|MO geE R=9] HME(0-100)
validation_size integer AZ mE|Mo ZEE HREQ HME0-100)LICE
dZ OE|IMO| HMEX| o™ SAIELICE
training_label string = mE[MQ gol2
testing_label string A% ME[MQ Zo|=.
validation_label string dF OiE|MQ| 2o|2LICt. HE THE[MO] g E|X|
AoH FAIELICH
value_mode System ClOIE{Ol A 2f ME[MES LIENHZ| fI8H AtEdh= gt
SystemAndLabel 2 X[HELICE o2 501, =H HE2 AAH Hp
Label 1, 20| Training & &2 Xl 1_Training2
2 LIEPd & AFLICH
set_random seed 22 AFBXE K™ e AE A OB E X|FTL(CE
random_seed integer AEXE X = A= ZHYLICL O] g2 ArE3sHH
™ set_random seed?} TrueZ MHE|0fof BHL|CE
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EM

H 86. partitionnode 58 (A%)

partitionnode IIE|M L= clole /¥ Ed 49

enable_sql_generation 22

X| RS XFELIch

SQL FAHMS ALESIH 2ZEE THE[Mof| X|F

-

[

&t

unique_field HZE7L 2ER(0|X]

INESEIEIES

o} HiE

of XIME|=2 27| sl AL
o ge Aot
enable_sql_generationO| TrueZ & E|0{0F FfL|Ct.

-
7tset gl

1% Hu

2 |0

-
L
=

5t

=

1=

E

i

reclassifynode £

. HMEFR LEE= ot MES HEY ZIS CIE C=Z HaleLDh MEFE 2AS Qo HFE TA
5}; Lt HolEE MaSstets o gLICH
of| A|
node = stream.create("reclassify", "My node")
node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace field", True)
node.setPropertyValue("field", "Drug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])
node.setPropertyValue("name_extension", "reclassified")
node.setPropertyValue("add_as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)
node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")
node.setPropertyValue("pick Tist", ["BrandX", "Placebo", "Generic"])
B 87. reclassifynode 54
reclassifynode E4 clole /¥ EM MY
mode Single Single2 oF WO HEZ HEFELICE
Multiple Multiple2 o Hol| & oA TEQ Hetg It
st ot S E4steiict
replace_field flag
field string th REOMEE AFZRL|CH
new_name string o REoMot AFEELCH
fields [fieldl field2 ... fieldn] |CtES ZEOAMTH ASEILICEH
name_extension string CHE ZEoMEt AR ELCt.
add_as Suffix s ZEO|MTH ARSELC
Prefix
reclassify string BE o] fxstE £4.
use_default flag 712U MEIHIAIR.
default string 71248 XNHESHAR.
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® 87. reclassifynode E4 (A%)

reclassifynode S4 dioly &4 £d &9

pick_list [string string ... string] | AFEXI7L ST M el 2ES 7HMetM HOIE
o EE UR S M2 = ABLICL

reordernode E4A

_ IC ChA| B LCE LEES CRAEZOR FASHE O AFBstE 7|2 &ME HFLICE of
i 2ME Hlojg, 22 3 TS Mefy| 22 Chst HaoA Eo| EAlM FEg FLch of XY
o BAE HWES o B =HolA| 2HS7| 9fsl 2 HlolEl MEol chsf el o Q8o

Of| |

node = stream.create("reorder", "My node")
node.setPropertyValue("mode", "Custom")
node.setPropertyValue("sort by", "Storage")
node.setPropertyValue("ascending", False)
node.setPropertyValue("start fields", ["Age",
node.setPropertyValue("end fields", ["Drug"])

"Cholesterol"])

E 88. reordernode £4
reordernode §4 Clole /¥ Ed 49
mode Custom wE NS2E HBSIHLE ALK "ol &#ME X
Auto g =+ AsLo
sort_by Name
Type
Storage
ascending flag
start_fields [field1 field2 ... fieldn] | M EEJ} 0| LE Flof MJELICH
end_fields [fieldl field2 ... fieldn] | M EEJ} 0| EHE ol HUELICE

reprojectnode 4

. 5.9 SPSS Modeler LHOlA HEPA =tM7| Z7t &4+, STP(Spatio-Temporal Prediction) ==, B A|Z}
: | 3 LE 22 g=50| RHE HEAE ARBYLICL X2/ HEAE AHEStD ALEXIL M 2E ¢
= olo| HIo|E2| FHEAE HASHHH MES LEE AESIMAIR.
H 89. reprojectnode 4
reprojectnode £ ol ¥ EM MY
reproject_fields [field1 field2 ... fieldn] |MEFE RE HEE LIESHUAIR
reproject_type Streamdefault LCE MEFsH= WHE MESHAIR
Specify
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H 89. reprojectnode S (Al%)
reprojectnode £ ool |3 EM MY
coordinate_system string Heo| MEE zEAC o|EYLICE of:

set reprojectnode.coordinate_system
"WGS_1984_World_Mercator"

restructurenode E4

T HE Fe= S0 HEE OofF K OHE EES| IR MYH i’iE e age
E 2 HASILICE o€ S0, payment typeOl2h= OIE2| BES} credit, cash, debite| Zt0] =0Tl &
2, 2tZto| AH| O|R0Z X|E9| e EEY 5= A= Ml M M EE(credit, cash, debzt) P EdE
L|Ct
of| |
node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields_ from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include_field_name", True)
node.setPropertyValue("value_mode", "OtherFields")
node.setPropertyValue("value fields", ["Age", "BP"])
H 90. restructurenode 4
restructurenode 4 oiole |3 EM MY
fields_from [category category
category]
all
include_field_name flag TxHetEl HE O|E0|M HE O|EE2 AEEX|
OEE HAIYLICH
value_mode OtherFields TEHetE HEO| g2 XFdhe ZEE EAY
Flags LICt. OtherFieldsE AESIH AIEE HEE X|
Hofof BfLICHOI2 EX). FlagsE AMESIH Zf2
=X EefIL|Ch
value_fields list value_modeZt OtherFields® Z< EL|Ch 2t
LER A SY ZEE XHPLch

EAM
= o

rfmanalysisnode

=X (Z2Y),
Atstof 19|

AL} R PORHERI () D

40| E 2 Q= nME HIF™HO

Ol |

RFM(Recency, Frequency, Monetary) &4 =EE AL5IH

ot £ 20)| AFEXAZEE O

ZE EUMMON SOt AHREX(FIISAE =
2 mEs 4 QIELICH
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node

= stream.create("rfmanalysis",

"My node")

node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")

node.setPropertyValue("tied_values_method",
node.setPropertyValue("recalculate bins",
node.setPropertyValue("recency thresholds", [1, 500, 800,

"Next")

"IfNecessary")

1500, 2000, 2500])

H 91. rfmanalysisnode 4
rfmanalysisnode £ ol |3 EM MY
recency field H2d HEE XESHIAIR. O|AH2 EM, Azl
E= e XY = ASLICL
frequency field Bl HEE X|FSHAL.
monetary field TOiEN HES X[FHSHAL.
recency_bins integer MHEE 22 7ol 5 XFSHAIR
recency_weight number 2 HolHo| MEE JHEXIE KHSHHAIR. 7|2
2 100LICH.
frequency bins integer Myg g p2te] 8 XHSHYAR
frequency weight number HIT Cjo|E{0 ME2E JIEXIE XHSHHAIR. 7|2
22 10QLct
monetary_bins integer MMEE FOiEA 22to| 5 XHSMUAL.
monetary_weight number TOHEA MO0 MEE JIEXIE XIFHSHIAIL. 7|
232 1Lk
tied_values_method Next HAE 2t HO|HE dHY F7HE XFSHIAR.
Current
recalculate_bins Always
IfNecessary
add_outliers flag recalculate_bins?7} IfNecessary2 MHE ZH<20|
oF AR Y & USLICH HFEH Stet F7F ofzfof
IX|gt BHREE Stet prto| FIt=(n 21 77k
o HMBEE 21 F7Hol| FIHELICH
binned_field Recency
Frequency
Monetary
recency_thresholds value value recalculate_bins7t Always2 MHE ZHR0T At
8 JtsgLIch 22 7t Mt 8 Siot A S
XFSHHAIR. ot zto] Mot AAIZE Cha +7te
otet AR AEELICE I S0, [10 30 60]
2 F el F7te Holst=h|, A Hm 17t 101t
309 A%t 8l Shot AAIZE X1 £ W £
Agk2 302 60QILICH
frequency_thresholds value value recalculate_bins7t Always2 HHEE Z202t At
g JtseLch
monetary_thresholds value value recalculate_bins7t Always2 MNE ZL0)2H At
2 JpssHC}
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settoflagnode E4

oS

Of| |

node = stream.create("settoflag", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("true_value", "1")
node.setPropertyValue("false value", "0")
node.setPropertyValue("use_extension", True)
node.setPropertyValue("extension", "Drug Flag")
node.setPropertyValue("add_as", "Suffix")
node.setPropertyValue("aggregate", True)
node.setPropertyValue("keys", ["Cholesterol"])

B 92. settoflagnode 4

settoflagnode M clole /¥ EM MY
fields_from [category category
category]
all
true_value string E0E ¥ i LETt M83t= true #US X
HYgLch 71222 TYuCH
false_value string Z0E 4 W LEJ A3t false WS X
HYLICE 71222 FYLICL
use_extension flag 2EAE M 20 HEO| gt ™MO|ZX E=
FEZXZ AFESHYA
extension string
add_as Suffix XL HOl2At B HEEAE FIME=X o
Prefix 2E XFELLLC
aggregate flag 7| HEE J7|ECE REE oA JIESLICL
J89 BE 31 ZEe= 99 HIAET} true
2 23E o A8 JtsHELct
keys list 7| €

statisticstransformnode £

SAE #He = E= IBM SPSS Modeler2| Ci|O[Ef AA0| CHSH IBM SPSS Statistics & HHEE2
MEHS AMSMSHL|CE O] LE= IBM SPSS Statistics@| AF2® AHE0| ZE$h|Ct,

@]



0] =9 EM2 353 HO|X|9| [statisticstransformnode S MIA] MHEL|CH

timeintervalsnode S4(C| 0|4 AI2E|X| 9:2)

1. 0] tE& SPSS Modeler H{ZT 1804 Cf 0|4 ALEEX| tOM M AAE LEE CHHE/A
SLICEAIZE 27t L E= AAE ol ZHag st 7t X|Hstn (Eest F?) 2olgS &
i MBIL|CE R740| RS BEEX| %= 2R, o= IO w2} e MRALL Egsi 22
Z Afojof Zst p7tEs MME 2~ JBLICH

Of| |

node = stream.create("timeintervals", "My node")
node.setPropertyValue("interval type", "SecondsPerDay")
node.setPropertyValue("days_per_week", 4)
node.setPropertyValue("week begins on", "Tuesday")
node.setPropertyValue("hours_per day", 10)
node.setPropertyValue("day begins_hour", 7)
node.setPropertyValue("day_begins minute", 5)
node.setPropertyValue("day begins_second", 17)
node.setPropertyValue("mode", "Label")
node.setPropertyValue("year_start", 2005)
node.setPropertyValue("month_start", "January")
node.setPropertyValue("day start", 4)
node.setKeyedPropertyValue("pad", "AGE", "MeanOfRecentPoints")
node.setPropertyValue("agg mode", "Specify")
node.setPropertyValue("agg_set default", "Last")

H 93. timeintervalsnode E4.

Am
0x
nx
08

timeintervalsnode £ clole /¥

interval_type None
Periods

CyclicPeriods
Years

Quarters

Months

DaysPerWeek
DaysNonPeriodic
HoursPerDay
HoursNonPeriodic
MinutesPerDay
MinutesNonPeriodic
SecondsPerDay
SecondsNonPeriodic
mode Label ZHEEE HEXNOZ 2|0|SEX| OfL|H X[HE

=
Create 2, AZEAQl = AZF THEE J|HOZ ALY
o
2 b
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H 93. timeintervalsnode

EM
o

A%).

timeintervalsnode £

HolE fd

E
=

4 &9

field

field

At

Lt AIZEE EAISE BEE

period_start

integer

N
a]
rir
H>
tot

cycle_start

integer

rig
M| H
d

I
>

year_start

integer

|

on o
N
oIr
N

of
o rot
|.|-|
18]
r

4o [ 44
0%k
=2
i)

quarter_start

integer

| &

el

HI ot
N
15S)
r
ul

on oio

Of

fr = |
or

™
30
09k
2
i}
=()=}.
2
e
=
-4

month_start

January
February
March
April
May

June
July
August
September
October
November
December

day_start

integer

hour_start

integer

minute_start

integer

second_start

integer

periods_per _cycle

integer

b Lol =RFULICE

fiscal_year_begins

January
February
March
April
May

June
July
August
September
October
November
December

Axfets g8

week_begins_on

Sunday
Monday

Tuesday
Wednesday
Thursday
Friday
Saturday
Sunday




H 93. timeintervalsnode 4 (Al%).

timeintervalsnode £ cloly 4 £4 49
day_begins_hour integer FIIN AZHLY AZH Le &2, oA K)o F
2, SIRE AMEtE AlZtE XFghct
day _begins minute % day _begins_second®t &
H AHBSHY 8:05:01 &2 Mot AZtg K™Y
2 QUELICE ofzf ALY Ol H=ZSHHAIR.
day_begins_minute integer FUIN AHEY AZH Le B, A X))o F
2, StRE AESt= 22 XIFYLICHOI: 8:059
5).
day_begins_second integer FIIH AZHEY AT L 2, dY X))o F
2, SIRE AZESHe £ XIHBLICHOI: 8:05:17
9 17)
days_per_week integer FINH FFY &, dY A, LY 2, oY
x)o 22, = 2 +E XFguct
hours_per_day integer FI|1H PR Azt AP 2, A X))o F
2, 5t&9| AZts X"t
interval_increment 1 et 2 8 et x| Z2, ZF AL el B
2 2 2 = £E XFYULCL
3
4
5
6
10
15
20
30
field_name_extension string
field _name_extension_as_prefix flag
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H 93. timeintervalsnode

timeintervalsnode

HolE fd

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

g Q Yyyy

ww WK YYYY

time_format

"HHMMSS"

n HHMM n

n MMSS n

"HH:MM:SS"

"HH :MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

aggregate

Mean
Sum

Mode

Min

Max

First

Last
TruelfAnyTrue

pad

Blank
MeanOfRecentPoints

True

False

Am
0x
nx
08




H 93. timeintervalsnode 8 (A%).
timeintervalsnode £4 Clole /¥ £4d 89
agg_mode A1l DE LCE EgtLE 2o met 7|2 g
Specify 2 MESX oiLH Argd TE gl oS XH
X o8 E XFECH
agg_range_default Mean H&Y HWEE SoY i A Y J|2 ¥E X
Sum HgLiCh
Mode
Min
Max
agg_set_default Mode F=E HEE SYY W A V|2 €45 X
First e
Last
agg_flag_default TruelfAnyTrue
Mode
First
Last
pad_range_default Blank A&y HEE K2 o A8 7|2 &+E X
MeanOfRecentPoints HefLot.
pad_set _default Blank
MostRecentValue
pad_flag_default Blank
True
False
max_records_to_create integer AZE e o e A 2= £+ XH
gLt
estimation_from_beginning flag
estimation_to_end flag
estimation_start offset integer
estimation_num_holdouts integer
create_future_records flag
num_future_records integer
create_future_field flag
future_field_name string

transposenode §4

rr
0%t
e}

— Mk wC

Of| |
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node = stream.create("transpose", "My node")
node.setPropertyValue("transposed names", "Read")

node.setPropertyValue("read_from field", "TimeLabel")

node.setPropertyValue("max_num_fields", "1000")
node.setPropertyValue("id_field_name", "ID")

H 94. transposenode S

transposenode £ Clole /% EM M9
transpose_method enum HAH(normal), CASEO|A| VARE(casetovar) =
VAROIA CASEZ(vartocase)?t Z2 TK| ghHg
INESE N
transposed_names Prefix Y TA Lo SEYYUCE M B 0|0 XF
Read El HEEXIE J|O=R X502 MME £ UL,
HlolHe 7|& HEoM s 5+ YASLICHL
prefix string e dx| dHo| EMALICE
num_new_fields integer A MK Yy EMYULICE HEEXE A8YE
hdg M "Eo| Ao 5 XFHYLICH
read_from field field e HA| Lol SYYULICL 0|E2 A= EHE/U
Ch. 0|2 QUAEIALIE HEOOF sHH, JHX| of
oM LVt MHlE mf QF7F SMetL|C]
max_num_fields integer Hab ®X| o] EMILICE HEONM O|ES A2
m, XILX|A 232 HE o 284S Tisty| 23t &
otg X|IEgLC
transpose_type Numeric Hab ®K| gl EHAULICE 7|2XoE ALH(e
String K| Hel) HEIF MX|=[X|T, =X HES| AEX H
Custom ol MEMEE MEHSIALL CjAl BE ZXAE HEE
A = JAGLICt
transpose fields list A K| 2ol EMQILICE Custom SME ALY
mf MXg HEE XFLCH
id_field_name field Hab ®K| ghHol EMLCt
index field CASEO|AM VARZ(casetovar) TX| 2ol EMQ
LICt. Mol "HEZ A8Y ofzf WEE SQIFLIC
fieldl ... fieldN
column field CASEO|M VARZ(casetovar) TX| o] E4¢
LICE & ZEZE AM8Y o2 HEE SogLnt
fieldl ... fieldN
value field CASEXIM VARZ(casetovar) MX| ghHo| EMQ
LICt 2t ZHEZ ALY of2] HEE SgLICh
fieldl ... fieldN
id_variables field VAROIA CASEZ(vartocase) x| ghHol EMQ
LICE ID H TEE ALY o3| ZEE S2EL
Ct.
fieldl ... fieldN
value_variables field VAROIA CASEZ(vartocase) MX| gio] EMQ
LICE gf H HEE AEY o2 HEE S8

Cf.
fieldl ... fieldN




typenode §4

g MBI oS S0f 2 Beo
T, BEY U ALY 2 H2AB e g
TER

=

.@_’
-3

rir i
g
°
m
%2

ox jm
0%

nx 02

0z

Ot

g

=x (L=
£ot gt 2lojl=2E XFot, =S

rx
> Mo

mm
0z
e
4

Ol |

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction”, "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")

1
Liig
e
J

0 ~
o>
-

o oo

Il

node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC", "drugD", "drugX",

"drugY", "drugZ"])
node.setKeyedPropertyValue("null _missing", "BP", False)
node.setKeyedPropertyValue("whitespace missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value labels", "BP", [["HIGH", "High Blood Pressure"],
["NORMAL", "normal blood pressure"]])

f% L ET7F SHEEA| S| Qo Z12 B =E9| fields from §4 &2
O|AE:

ofg 2RIt AS + USUICE T3 HO|E =5 HESHL HABH

i

tablenode = stream.createAt("table", "Table node", 150, 50)
stream.link(node, tablenode)

tablenode.run(None)

stream.delete(tablenode)

H 95. typenode E4.

e 40

typenode XM ol % EM 4d
direction Input e o chet 7171 e EMYLC
Target . 2t In 9 out2 O|A| O O|4 AtESHX| ¢
Both SLICE O|S0f oot XY Xt H2|AoAM He
None g = AELCL
Partition
Split
Frequency
RecordID
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H 95. typenode

E4 A%).

typenode £ clole /¥ Ed 49
type Range ZEol £5F ZE (0|0l HES
Flag "SH'OZ EFS). type2
Set DefaultZ HFSIH 2= values B
Typeless H™E XM, value_mode?t
i Specify &2 H= E2 ReadZ2 AHELICE
Discrete
value_mode?} Pass L= ReadZ2 MAEE
OrderedSet AL, type2 MHT value modeli| F&2
Default =X t&L|Ct
D LIEMOZ AESHE Hl0|H R¥E2 /¥ &
oM & & U= Au ChELICH 82 3wt
ZELICH He > A5 HaZ - > BEY
OrderedSet -> &=A] O[&E > HEYH
storage Unknown e N&E Yol cht 7] M8 J17t A= EY
String AL|Ct
Integer
Real
Time
Date
Timestamp
check None ZE Y 9l Hel FAtoll it 7|7t Y= ENY
Nullify L|C}.
Coerce
Discard
Warn
Abort
values [value value] HEY HEo| A A W gt HAZL, ok
w2 ZCiZtULc HE HES H2 ZE w2 X
AR, S0 HES A2 X MM gt2 false
£ LIEHLHD, OX|SF gt2 trueS LIEFHLICE O §
Me MHSIH XS2CZ value mode EME
Specify2 MXBtL|Ct
value_mode Read US HEste WHe mEHYLLE o] EME
Pass Specify2 2T MHHT & Q2 FolsHHAIL
Read+ EH S ArE%t2{H values EM2 HESHA|
Current 2.
Specify
extend_values flag value_mode?} ReadZ HFE mf HEELICL =
o chet lelol 7|& ol M2 g2 2 FItst
HH TE AHSHAR. ME 42 gt T 7|& 2k
£ MASHHH FE MFSHAIR.
enable_missing |flag T2 A3EH oo o Z25g FHE gdet

missing_values [value value ...] HAEZE EASHE HIO|H 22 XIFELIC
range_missing flag AEgh () H 7t HEo| cHel Hol==X o&
£ XFgct




B 95. typenode S (A1)

typenode £ ol ¥ EM MY
missing_lower string range_missingO| true® o, Z&3L HPIQ otot
2 XFgLch
missing_upper string range missingO| true® W, ZXgf HlO| At
£ XFguch
null_missing flag T2 SFE O, nulls(AZEO0AM $nul1$Z H
A= FoLX| gt 2= BEURLE ZFEL
ct.
whitespace_ flag TE MEE of, JuW3W 8 % F HRo)gt 2
missing otote U2 AFUCE ZUFELICH
description string Lol 4¥S XEHLIC
value_labels [[Value LabelString] [ Value LabelString] ...] ot &0l chet 2oj=22 XIFsh= o AFSELICh
display_places |integer EAE of HEof st AF 0|5 XE|+E M
HYLICHREAL ME 37t Z= HEO|2t HEE).
i -12 AER J|2%US A8YLICL
export_places integer e mf ZEof cfst A& 0|3t XtZ|+=E M
HYLICHREAL ME 32t = HEo|2t MEE)
i -12 AEZ J|2os ASYLICL
decimal_separator | DEFAULT HEQ| A4H FEXE HTLLICHREAL MY 3
PERIOD it #= ZEoR HEEH)
COMMA
date_format "DDMMYY" oo U HAZS MHEYLICHDATE E&
“MMDDYY" TIMESTAMP MZ 37t = ZEofgh HEE).
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"
DAY
MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY
q Q YYYY
ww WK YYYY
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H 95. typenode E4 (HZ).
typenode £ clole /¥ Ed 49
time_format "HHMMSS " HEo M7t "HAg AdFYLICHTIME E&
::::!“S": TIMESTAMP % 27t 2= Tofot HgE)
"HH:MM:SS"
"HH:MM"
"MM:SS"
"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"
"MM.SS"
"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"
number format DEFAULT ool =Xt BA| FAE MLt
STANDARD
SCIENTIFIC
CURRENCY
standard_places |integer BEE G402 HAE of EEO| &4F O[5t X}
2|5 HHEYLICL 2 -12 AEE J|=23s ME
ghLiCt. 7|& display _places 2Rk 0|HS HE
SHXIZE O Olet AMESHA| g2 HISHIAR.
scientific_places |integer X+H7| dAoz BAE of 29 A4H 0[5}
Xf2|+E HFYLICL 2t -12 AE 7|22 At
gt
currency_places |integer S Aoz HAE of EEO| 24F 0[5t X}
2|5 HEYLCL 2 -12 AEY 7|22 ME
gLict.
grouping_symbol | DEFAULT Lo Aot 7|58 HyTtL|ct
NONE
LOCALE
PERIOD
COMMA
SPACE
column_width integer ol E HHIE AFYLICh 2t -12 € HHIE
Auto2 HFeL|Ct.
justify AUTO ZEol & &S J¥eLth
CENTER
LEFT
RIGHT
Aoy Ze &Y == 54 169



H 95. typenode

E4 A%).

typenode EM

Hiolg fd

=
= *E*ng

measure_type

Range / MeasureType.RANGE
Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

St= o Af%% 2 AUCE
LICt. CHE &2 Python
T MeasureType 9| &

SiLiz HEE + Us

- 1T
U g
1L

om

=2

Rl

72)

[¢]

7

=

oot

rr re 4> oo 1o

H getter= &4 MeasureType atOllA 2|EBHCH

HYuck

collection_

Range / MeasureType.RANGE

Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE
Timestamp / MeasureType.TIMESTAMP
List / MeasureType.LIST

custom_storage®}

measure Flag / MeasureType.FLAG 7t e Ed2 7|12 3 2HE £Y RYEsE N
Set / MeasureType.SET olgfict.
OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
geo_type Point X2|la3zt HEQl A2 0] 7|7t U= Ede o ¥
MultiPoint Zof o EAE= X232 QEFES |YS
LineString HolgtLICt o|HE el =5 ol dEMs It
MultiLineString MOF BILICE
Polygon
MultiPolygon
has_coordinate_|boolean X|2|3zt HEQl H2 0| EM2 o] HEJ #E
system AE ZEX EE HolgtL|ct
coordinate_system|string X2|gzt EE9| F< 0| 77t U= §Ho| o] E
Eo| ZtEAE HolRLCt
custom_storage_ | Unknown / MeasureType.UNKNOWN o 7|17t = E42 "HEQ N M& 372 F
type String / MeasureType.STRING ogt= o ALBY £ UCt= HolA
o
T

AtgfLict. B2 ®2 Python

ATZIEINN setter %—?—E StorageType Zt9| dt

|.§ x-|l:rEI 7= 9l Olh

StorageType ZtOlA E|

H getter= &
6 Ch= FLICH

|_

custom_list_
storage_type

String / MeasureType.STRING
Integer / MeasureType.INTEGER

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp / MeasureType.TIMESTAMP

R
0z

custom_list_depth | integer =5 EEQ 42 0] 717t U= S42 EEQ A
0|E X|FgLIct

max_list_length |integer £3 £F0| X|2| 2t E£= SH MRl Ho|Eof ot
A8 £ JUFLICHL 50| Zote & A= /A
=5 XFst S=9| Ao Zo|E HHSYAL

170

IBM SPSS Modeler 18.1.1 Python A3ZE 9 XtS5s} QHAA




H 95. typenode EH

A%).

typenode EM

HiolE fd

0x
nx

max_string_length

integer

YL
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H 12 & ej

=
|.|-
In
im
0x

H2 Zest Jax 2o A8 Jhstt E4E

B 9. 38 2T E EY
38 Jdz LE EY Clole /¥ £4 49
title string H=z2 XFELLICE o: "This is a title"
caption string HME XIHYLICE Ofl: "This is a caption.
output_mode Screen JEx =9 ZH0| HA|E=X| OtLH Mo 7|EE=
File X o8 E X|gghct
output_format BMP = IS XHYLICE 2t E=of sl 58=x= £
JPEG o ot Y2 CHELICH
PNG
HTML
output (.cou)
full_filename string M LE2RH dYE= ZHol| ot iy 3= % I
Y 0|52 XFELILh
use_graph_size flag ofgfel HH| X =0| SH2 A8 22T It HAHC
2 37| XHEE =X HEE HojgLICh otHOE EHE|
£ Jzofot e FLCL 22X tE0l= A8E = ¢
SLICH
graph_width number use_graph_sizeZt True® M, J2HX LHH|E T CHe|2
Aot
graph_height number use_graph_sizeZt True® M, J2iX =0|E T|M CiE
et

Met® mE 1)

CHO| Chist o] HEQF Z2 MEMH T

— 171
)z &8st & & AL

plotnode.setPropertyValue("color field", "")

My x|

M=, 4, 8iE, dlol=0f et Ma2 sAl#) 7|22 AlEShs 16T EXEE ARt K|
UASLILE OIE S0, J2Z HFS oMoz Ao g YFES AFES-LCH

£ LIS oloM EAEE ANE §d @

o
@
o

0
e
1

mygraphnode.setPropertyValue("graph_background", "#87CEEB")
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H1: RGBZ Mds XY o, AAEXt QIHH0|AS HE MEHY|E AESI0] SHIE MY F=E T
2 = ASLILE Hots EE A TFEHE Syt el My 2 DRAE O|SSHHAl

QUEHE L CHE 9| 7ol AHEOR stLtel =Xt TEQ| Zto| 2XE HAIFLICH (3|A
il EJM3 QS J2fZE ZMELICE) 30| AlZHol| Mt Mot W e UES dEstE o
LI} 3-D J2HTE ARSI HEH BRE FASH= 7|E X8 Zots £ QALIC
Of| |
node = stream.create("collection", "My node")
# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("collect field", "Drug")
node.setPropertyValue("over field", "Age")
node.setPropertyValue("by field", "BP")
node.setPropertyValue("operation”, "Sum")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
node.setPropertyValue("range min", 1)
node.setPropertyValue("range max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 5)

H 97. collectionnode £

collectionnode £4 Hioje] |¢ Y &9
over_field field

over_label_auto flag

over_label string

collect_field field

collect_label_auto flag

collect_label string

three_D flag

by_field field
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H 97. collectionnode

E4 A=)

collectionnode 4 Clole /¥ £4 49
by_label_auto flag
by _Tabel string
operation Sum
Mean
Min
Max
SDev
color_field string
panel_field string
animation_field string
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
use_grid flag
graph_background color EZE Je2im MAS 0 Ho| AlZHRof|A MEELICE
page_background color BZE J2fT MA2 o] Ho| AFRoM dFELCL
distributionnode §%4
# EE L= E fRY0IU 428 Z2 7[2HEFY) 42 2dE 2HEU 0L eNoz, HjolH
" of 2RYE EAISH| ?8] EE =EE A8dts R ZEE HEoH| To| 2y =EE A8
= o

Of| |

node = stream.create("distribution”, "My node")

# "Plot" tab

node.setPropertyValue("plot",
node.setPropertyValue("x_field",
node.setPropertyValue("color field",
node.setPropertyValue("normalize",

"Flags")

IIAgeII)
"DY‘Ug")
True)

node.setPropertyValue("sort mode", "ByOccurence")
node.setPropertyValue("use_proportional_scale", True)

H 12 & Jefjz ¢

C EM
— T o
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H 98. distributionnode M

distributionnode £ cioje] /¢ £4d 49
plot SelectedFields
Flags
x_field field
color_field field 20| HE.
normalize flag
sort_mode ByOccurence
Alphabetic
use_proportional_scale flag

evaluationnode EM

Z

g n 2 o'
iC wp - X

m
N
21
AT U

Of| |

node = stream.create("evaluation", "My node")

# "Plot" tab

node.setPropertyValue("chart_type", "Gains")
node.setPropertyValue("cumulative", False)
node.setPropertyValue("field detection_method", "Name")
node.setPropertyValue("inc_baseline", True)
node.setPropertyValue("n_tile", "Deciles")
node.setPropertyValue("style", "Point")
node.setPropertyValue("point_type", "Dot")
node.setPropertyValue("use_fixed cost", True)
node.setPropertyValue("cost_value", 5.0)
node.setPropertyValue("cost field", "Na")
node.setPropertyValue("use_fixed revenue", True)
node.setPropertyValue("revenue value", 30.0)
node.setPropertyValue("revenue field", "Age")
node.setPropertyValue("use fixed weight", True)
node.setPropertyValue("weight value", 2.0)
node.setPropertyValue("weight field", "K")

¥ 99. evaluationnode 4.

!

=

I

LEE o|x 223 Yot H|Wsts of =20[ gLt "It AE= ZEO|
£ 4 oz MBS HECR YIEE H
EEHMHeZ 2L = A 220 Chiet B =LA J|EQ

WOE EHE DELCH CHE RHO| ZHO| M7E HEE HA

uy Jm
muo ot 0

=

_IT!_
HE MU
ro kU ne

\J

N
0z

¢
e

il

evaluationnode £ clojE /¥

dim

%
nx
oZ

chart_type Gains
SELift
Profit
ROI

ROC

inc_baseline flag
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¥ 99. evaluationnode EM

evaluationnode £ Clole /¥ £4 49
field_detection_method Metadata
Name
use_fixed_cost flag
cost_value number
cost_field string
use_fixed_revenue flag
revenue_value number
revenue_field string
use_fixed_weight flag
weight_value number
weight_field field
n_tile Quartiles
Quintles
Deciles
Vingtiles
Percentiles
1000-tiles
cumulative flag
style Line
Point
point_type Rectangle
Dot
Triangle
Hexagon
Plus
Pentagon
Star
BowTie

HorizontalDash
VerticalDash
IronCross
Factory

House

Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

export_data

flag

data_filename

string

delimiter

string

new_line

flag

inc_field_names

flag

inc_best_line

flag

H 12 T Oz = EM




H 99. evaluationnode E8 (Al%).

evaluationnode £ cioje] /¢ £4d 49
inc_business_rule flag
business_rule_condition string
plot_score_fields flag
score_fields [field1 ... fieldN]
target_field field
use_hit_condition flag
hit_condition string
use_score_expression flag
score_expression string
caption_auto flag
graphboardnode £%4
JejomEE L EE= SiLfe| ol 2o e o2 71X 4o Ue JZE FZELICH o] LE

st MEHE Ci|o[Efoll CHol ALE 7#%6_* WA SollM 2H
Fetoll chelf Ztistx| fb= RE J2Z R¥E XS

£ A85t0] BtMStA = H0H EEE &

I_
mZ Mg 4 ULt o tSk TE Meis

o=z ZEZPLC

B

A3 DD QEOl SHIEX 2 S43 UFos FLCIZ S0l SIAEIH el y_field Xl
&), ol S48 PAgLUC

T ROl MEAL ol 9 EEJH JASLICH O BE= WX &

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")
node.setPropertyValue("x_field", "K")
node.setPropertyValue("y field", "Na")
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H 100. graphboardnode

EM
=

graphboard £

dioly /¥

graph_type

2DDotplot
3DArea

3DBar

3DDensity

3DHistogram

3DPie

3DScatterplot

Area

ArrowMap

Bar

BarCounts

BarCountsMap

BarMap

BinnedScatter

BoxpTlot

Bubble

ChoroplethMeans
ChoroplethMedians
ChoroplethSums
ChoroplethValues
ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap

PointOverlayMap
PolygonOverlayMap

Ribbon

Scatterplot

SPLOM

Surface

x_field

field

g9l Hojgs

XZYLICE 2o]202t At

y_field

field

Fo| #olg2

X ZYLICE 2o]202t At

H 12 &



H 100. graphboardnode E4& (A%)
graphboard £ Hlolg /¥ EM MY
z_field field YL 3-D J2HIO|A AFSELICE
color_field field S|E MOilAf AFSELICE
size_field field HE TEOIM ARSELICH
categories_field field
values_field field
rows_field field
columns_field field
fields field
start_longitude_field field Hzx YoM staES BH AHERLICH
end_longitude_field field
start_latitude_field field
end_latitude_field field
data_key field field CHkst Bofl A gk
panelrow_field string
panelcol_field string
animation_field string
Tongitude_field field Mol A ZfERF SHH| AHSEILICH
latitude_field field
map_color_field field
histogramnode £
SIAED™M LE= X TEO Cieh o] 2YS EAPLICL 28 =3 3 2F Y Tof| HolE
:-|.I.. £ EMots ol MEYLICE BE =9 HIROH, S|AEOY E= XF H|O[E9 =2xdsE &=
2L 2Lt

Of| |

node = stream.create("histogram", "My node")

# "Plot" tab

node.setPropertyValue("field", "Drug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation field", "")
# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
node.setPropertyValue("range min", 1.0)
node.setPropertyValue("range max", 100.0)
node.setPropertyValue("num bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)
node.setPropertyValue("separate bands", False)

H 101. histogramnode S

o
histogramnode S Hiole| &¥ EM MM
field field
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® 101. histogramnode 4 (Al%)
histogramnode £ clole |d EM MY
color_field field
panel_field field
animation_field field
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
normalize flag
separate_bands flag
x_label_auto flag
x_label string
y_label_auto flag
y_label string
use_grid flag
graph_background color BZE J2fT MA2 o Ho| AFRoM dFELICL
page_background color BEZE Je2iz MAS o Ho| AlZHRof|A MEELICE
normal_curve flag o 82X [40| EHol| EA|Z|00F SH=X] HEE &
AlgfLct
mapvisualization §4
J,;"“‘\ Y AlZel LE= COhE 9F HEE S5t X2 SHA CI0|EHE Hol| H&Q| Hojofz Al
F . = AFLICE 229l H|ojof= oiLtel X[2| S7HH HEQLICL 8§ S0, 7|& 2[0[0f7} g =7t
& %Oi.ﬂj[fw =20f cigt 2olof fLt, Zofl chgt 2ojo siLt, EAof chet &lojof izt g
e T USLICL

T 102. mapvisualization S48

mapvisualization 4 ool /¥ £4 89

tag string ol EfO 0|E2 HHMELICt 7|2 EiaEs Y=o
Lo HZEE M2 J|HOR dt= HSL|ChA
M A EiOE= 10|10 & HM HE Efa= 2 §
).




¥ 102. mapvisualization

EM
o

(A1)

mapvisualization

HolH /Y

=]
£4 59

layer field

field

HlOlE] MEOIN ol 20]0{2 EAIElE geo-fieldS
MefBiLICE 7|2 AR kS B 2AE Jlg
o it

A -

[}
>

o

1
o
of
o
N
ogt

color_type

boolean

geo-field®| 2
g

=3 =

= —

B MEO| T2 TE 2te

~ = X
A

& =
<
i)
-
[l
n
N

o o
Ct. 7ts%t 2+ standard EE= over
e standardL|CE.

color

string

E Fte|n2| Ma 1ot

color_field

field

Ch=of 2
MES &

color_type2Z overlay’t MEE|H &
0|2 MEHEl geo-field2t ST H|0|E
E ZSTt etgELch

symbol_type

boolean

& 7|ZE geofield?| Z& A0 HESH=X| Of
LI HIo|H MEZQ| CIE TE Zig 7|He = Fo| 7|
S Olo|2g HZst=E 20| 7|58 HEsH=X| X|
HMetL|ct. 7H5$t 242 standard EE= overlay®LICt.
712322 standardLICt.

L HATC

symbol

string

-

symbol_type@Z standardS MEHSH
of Mol M2 EAlste o AEE £
Ei0| ZEELICE

symbol_field

field

symbol type@Z overlay?t MEHE|H =& CHR0] 2
0|0{2 MEHEl geo-field2t Y% HIO|E MEQ =2
E s, &M E= HF3Y oot ZabELCh

= o=y

size_type

boolean

& 37|E geo-field?| ZE 2HAE=0| HE38l=X| of
L|H HlolE MES| CH2 TE Zig 7|8eZ 7|5 of
0|29 37| £ Mol FIIE HZAS= 2Ha|o] 3
718 HEst=X| XFELICt. 7Hs%t 22 standard

E= overlayRLICh 7|22t2 standardLICEH

-
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B 102. mapvisualization £ (%)

mapvisualization 4 clole /¥ Ed 49

size string size_typeQE standard?t MEHEH point E=
multipointS E& CH20| MEHSE 7| 37| MEH
Ateto| EBHEILICE Tinestring BE=
multilinestring? A2 & CtR0| M F7| MH
Argto| ZetElL|Ct.

size field field size typeQZ overlayZt ME{E|H =& Ct20] 2
O|0|2 MEHEl geo-field2t STt HIO[E MES &2
= HEJH ZetELCH

transp_type boolean BE FEEEE geofield® EE HIAEO MESH=X|
OfL|™ CO|E MES| CHE HE Ztg 7[8te= 7|3,
M EE CHYel RHE 2Hs HASHE 2H2|0]
EHEE ME5h=X| X™LLICE JHset U2
standard LE= overlay®L|Ct 7|22t standard®
LICF,

transp integer transp_type2E standard?} MEHE|H =E CHRO0|

0%(EEH)EE AIZSH 10%% SE2E0 100%5(EYH)
X BItele EEE 2ijHol MEfAtato] ZEELICE
oM B, M EE CHde EHEE AHBLCH

size_typeQZ overlayZt ME{E|H =& Ct20f 2
0|0j2 MEHEl geo-field2t STt HIOIE MES| 2
E Zoot ZehgLch

points, multipoints, linestrings %

multilinestrings, polygons % multipolygons(ZH

otz zojof)e| B 7|22 0%ULICE T otz 2

0|47} Ol polygons S multipolygonsQ| 7[2Zt2
505QLICE. O] Z< ol2fgt Ct2fy ofzHe| HE K|
2 HO|0E YK = JUELICH

transp_field field transp_typeCZ overlay/l MEiE|H =& CH20 2
O|0|2 MEHEl geo-field2t STt HIO[E NMEQ| &
= ZEJF ZELCH

data_label field field Mol ClolE Zojls2 M8 HEES X|FuLICH
o€ =01, o dFo| MEE 2{0|o{7t Ct=y 20|
00| C|O|E 2|0|£0| 2} CiZHol 0|§8 Eeldt
= name HEO{OF BLICL MEEA O7|A name EE
£ MEiSHH s 0|E0| o HA|ELICH

" |IOI-

0

use_hex_binning boolean 16% FZUSE A8t ZE 8 EE Ces A8
gLt o] d¥e 7|#8oz HELICL




H 102. mapvisualization £ (%)

ul -y ) 2 o
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B 102. mapvisualization £ (%)

LineString - 1

Polygon - 2

Multipoint - 1
* MultiLineString - 2

¢ Multipolygon - 3

mapvisualization 4 clole /¥ Ed 49

Tist_depth integer 5 o ZH0|E MAEYLICE Y HOlE O 7|
=0l M2 geofield? RO mat CHELICE
* Point - 0

00| X|CHZf2 10QLICh

multiplotnode £

[l

=

of

Of| |

node = stream.create("multiplot",
# "Plot" tab

2 CH LC= O X ZE 20 CHE Y ZEE HASH=
AEE Moz TEELC 2

2te A

1= —

SSHLICH C4E SRE A2 M2ty ofaf Hao Ms

"My node")

Et20| Line@Z MA™E|1

"Age")
[IIDrugll’ IIBPII])
IISexll)

")

node.setPropertyValue("x_field",
node.setPropertyValue("y fields",
node.setPropertyValue("panel_field",
# "Overlay" section
node.setPropertyValue("animation_field",
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use_overlay expr", False)
node.setPropertyValue("overlay expression", "test")
node.setPropertyValue("records 1imit", 500)
node.setPropertyValue("if over limit", "PlotSample")

EM
= o

H 103. multiplotnode

ENM
= o

ciole /¥

Jm
0x
nx
og

multiplotnode

x_field field

y_fields list

panel_field field

H 12 & Jefjz ¢

C EM
— T o
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# 103. multiplotnode £ (AHlZ)

multiplotnode EM £ (o] ] = RS E4d 49
animation_field field
normalize flag
use_overlay_expr flag
overlay_expression string
records_limit number
if_over_Timit PlotBins
PTotSample
PTotAl1
x_Tlabel_auto flag
x_label string
y_label_auto flag
y_label string
use_grid flag
graph_background color HEZE Jejm MAS 0 Ho| AZIRo|A MHEELICE
page_background color EZE J2T MA2 0] Hol ARIRoN MHEELIC

plotnode §4

Of| |
node = stream.create("plot", "My node")
# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("x_field", "BP")
node.setPropertyValue("y field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")

# "Overlay" section
node.setPropertyValue("color field", "Drug")
node.setPropertyValue("size field", "Age")
node.setPropertyValue("shape field", "")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation field", "BP")
node.setPropertyValue("transp_field", "")
node.setPropertyValue("style", "Point")

# "Output" tab
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "JPEG")

node.setPropertyValue("full_filename", "C:/temp/graph_output/plot output.jpeg")
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H 104. plotnode EX.

plotnode EM clole |d EM MY
x_field field xEO| AFEXE Fo| Z0|ES AIFLICE 20]S0i2k A
g JtsgLch
y_field field y=2 AEXt Hol 2|0|ES2 XIFELIC) o[0T A
g JtseLch
three D flag y=2| ALEX Fe| 2f|o|£8 XFeLCh 3-D 12z
oS0 A8 ZtsELICt.
z_field field
color_field field Hzo] HE.
size_field field
shape_field field
panel_field field 2 Hrof| Chet HES| X(HEE TSV 2l A Y U
Y E= 223 HEE XFYLICL EHe StLe &
H ol &M ZHHELICH
animation_field field HIHE MBS aAHoz HAE= LT KAEES
Zd5tof oy f HFEE HYsh| ot B2y k=
221 HEES XFgct
transp_field field Zh HE0| Choll M0lgt #=F2 FEHEE M50 40|
B &t HFE d¥sts HEE XFYLICL M =HOll=
Agg & glELt
overlay type None Q0| &Lt LOESS CHs7|7t BEAIEl=X] HEE X|
Smoother HELCH
Function
overlay expression string overlay typeO| Function@Z MNE m A= E
HAlg XIFELICH
style Point
Line
point_type Rectangle
Dot
Triangle
Hexagon
Plus
Pentagon
Star
BowTie

HorizontalDash
VerticalDash
IronCross
Factory

House

Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan




H 104. plotnode £ (A%).
plotnode EM ClolE /¥ EM MY
x_mode Sort
Overlay
AsRead
X_range_mode Automatic
UserDefined
X_range_min number
X_range_max number
y_range_mode Automatic
UserDefined
y_range_min number
y_range_max number
z_range_mode Automatic
UserDefined
z_range_min number
Z_range_max number
jitter flag
records_limit number
if_over_Timit PlotBins
B B PlotSampTe
PTotAl1
x_label_auto flag
x_Tabel string
y_label_auto flag
y_label string
z_label_auto flag
z_label string
use_grid flag
graph_background color BZE J2fT MA2 o Ho| AZRoM dHELICH
page_background color & O MA2 o] "ol A|ZE0|AM HdHELICH
use_overlay expr flag overlay_type2 2lei O O|& AMESIX| gt&LICEH
timeplotnode £%4
ﬂ AlZt 3 S StLt oldel AAE HOIH MEE BAIYLICL 2ENo=z, BX A2t #7F L&
: £ M8 TimeLabel BEES 2d5h=0, 0|210| x=2 2{|0|S5= ol AFEgLICt.

A

!

Ol |
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node = stream.create("timeplot", "My node")

node.setPropertyValue("y fields", ["sales", "men", "women"])

node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", True)
node.setPropertyValue("1line", True)
node.setPropertyValue("smoother", True)
node.setPropertyValue("use_records_Timit", True)
node.setPropertyValue("records Timit", 2000)

# Appearance settings
node.setPropertyValue("symbol_size", 2.0)

H 105. timeplotnode £4.

timeplotnode S ool |3

dim
0x
mx
of

plot_series Series
Models

use_custom_x_field flag

x_field field

y_fields list

panel flag

normalize flag

Tine flag

points flag

point_type Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother flag

panelS TrueZ AXst &

o 4 YBLICE

o2t =®ol| CHS7IE

=

use_records_limit flag

records_limit integer

symbol_size number

7|z 37|18 XL

panel_layout Horizontal
Vertical

12 & T2 L= EN
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eplotnode §4

H 106. eplotnode %

E-Plot(HIE}) LEE ==X} ZE
/ 21 g oM o] L&
stod A 2T 750l chel XPstiAlL.

HAIZLICE Ol plot =59 QAFSHA|RH, M0| Cf
QIE{H|O|AE AMSTILICE HIE 2 LEE AL

eplotnode EM clolE /¥ EM 49

x_field string +H XZ0| BAY HEE X[FSHHAIR.

y_field string 5 YR EAY HEES XFSHHAIR.

color_field string Hol= 22 oM My Y 2H[0jo] AEE
HEE XHSUAIR

size field string Aot= 22 M 37| Y 2u[0jo] A8
HEE XFSAIR

shape_field string Aol= 22 M ZY Y 2H{[0jo] A8
HEE XHoA2

interested fields string ZHo| ZTgA7|2e HEE XFSHAIR

records_Tlimit integer EH0| ZHESIE = A 2 ZE £0f Cfgt =Xt
£ XFSHHAIR. 20000] 7|2k LICH

if_over limit 22 records_limitE Xtz 22 Sample SHE Al
85H=X| E£ Use all data SMZ AIEsH=X| ¢
BE X HSIMAIR. SampleO| 7|E2Zt0|H,
records_1imitol =g mi7tX| CIO[E{oflA 2|
2 #E2g IYYLICh Use all dataS AHESHOY
records_limitE FAI5t1 RE Cl0|H ERIEE
THISH= 2R, 0|2 2l M50| X35 Xt
= USLICH

tsnenode EA

t-SNE(t-Distributed Stochastic Neighbor Embedding)=
YLICt. Ol ClojE] Ho| HRHAE HAEZ HERILICL SPSS Modeler®lM +SNE ==

OXH HIO[HE AlHstety| glet =+

= Python

OF PHE|H scikit-learn®© Python 2t0|=2{2|7} ZREL|C.

¥ 107. tsnenode EM

tsnenode 4 Clolg R¥ £d 49

mode_type string simple EE= expert ZEES X|HSHAIL.

n_components string QM =Sl Z7te| AHI(2D Fe 3D)YULICE 2 £
32 XFSHHAIR. 7|23t 2QLICh.
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H 107. tsnenode EN (AH%)

tsnenode S4 Clole /¥ =4 &89

method string barnes_hut = exactS XIHSHHAIR. 7|22
barnes_hut &L|C}.

init string QH|=E A7|SLICE random E= pcas KIHSHY
AN2. 71222 randomLICt.

target field string =% ECE Oo|SYLICt 3 im0y CHet e

Of gLl S® HEJ XFEX| o™ J2ixy
MO 2 HAIFLCE

—_

perplexity float =T (perlexity)= 7|EF DILIEE o& L12|F
OlA AMEEE £2F 0| ot ARELICEH gt
HOE Ho|E NMEJI 2458 O 2 §327t e
BILICH 52t 50 Ato|Q] Ztg MEish= Zi2 sy

HYAR. 71282 30LIC

early exaggeration float e 37tel Ard ZEOo| UHEE S7HolM Zob
Lt EFOIEEX| 8! T Afojojl ZOfLt B2 370
EXIE HNO{FLIC 7[&2a2 12.0QLICh

Tearning_rate float 7|28 2002LICt
n_iter integer E|Hzto CHet Z|Cf gt= LI} 250 O|&C=
HHESHIAIR. 7|27t2 1000Q4LIC
angle float ot ZRIEOM EH-E #HE £Eo Zk FT|Y
LICE 0 - 1 Hel9 e XHSHAIR. 7|1232
0.5%L|C}.
enable_random_seed BEg random_seed OWJHHE ALESHHE trueZ2 A%
SHYAR. 7|28 falseQLICH
random_seed integer Atge e A|EQLICE 712342 NoneRLILCH.
n_iter without progress integer THE gi= 2o vt=elL(ch 7|28t 300LICH
min_grad_norm string 7|1€7| 80| o YUAZt D|gto|H X[=styt
gLt 71222 1.0e-7LICt JHSt g2 o
a ZELC
e 1.0E-1
» 1.0E-2
* 1.0E-3
« 1.0E-4
* 1.0E-5
* 1.0E-6
e 1.0E-7
- 1.0E-8
isGridSearch ] o3 CtE Y=EE A5t t-SNESE +dst2{H
true2 MESIYAR. 7222 falseRLICH
output_Rename ] AEXH Mol 0|EE MBS trueE XIHSID

Zz=o| 0|22 X502 X|HIHH falseE XA
SHUAIR. 7|23f2 falseQLICH

output_to string Screen = Output2 XHSHMAIR. 7|22
Screen®L|Ct.
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H 107. tsnenode E4 (A%)

tsnenode S4 oioje] /¢ £4 49

full_filename string =3 A 0|2 XIHSHAIL.

output_file_type string =3 0ty HAQILICLH HTML E& Output object
£ XFSHHAR. 7|22 HTMLYLICE

webnode EM

\ = = S ‘I‘o =—=| BA (=]
@ HIo| Mg AtE3to] HZ ZTE HAIELICE oS 50 ¥ LEE A8
Ue &= MEQ T0f Atojo] HAE EHME 2 AFLICH

of| |
node = stream.create("web", "My node")
# "Plot" tab
node.setPropertyValue("use_directed_web", True)
node.setPropertyValue("to field", "Drug")
node.setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
node.setPropertyValue("from_fields", ["BP", "Cholesterol", "Sex"])

node.setPropertyValue("true_flags only", False)
node.setPropertyValue("1ine_values", "Absolute")
node.setPropertyValue("strong links heavier"
# "Options" tab
node.setPropertyValue("max_num_links"
node.setPropertyValue("1inks_above", 10)
node.setPropertyValue("num_Tinks", "ShowAl1")
node.setPropertyValue("discard Tinks min", True)
node.setPropertyValue("1inks_min_records", 5)
node.setPropertyValue("discard Tinks max", True)

, 300)

i
X
10

, True)

FBHLCH JZE chest

St TAYZH2 AtO|E0|

node.setPropertyValue("weak_below", 10)
node.setPropertyValue("strong_above", 19)
node.setPropertyValue("1ink_size continuous", True)
node.setPropertyValue("web_display", "Circular")
¥ 108. webnode £
webnode §4 Clole /4 E4d 49
use_directed_web flag
fields list
to_field field
from_fields list
true_flags_only flag
line_values Absolute

OverallPct

PctLarger

PctSmaller
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H 108. webnode E4 (HH)

webnode S Clole /¥ £4 49
strong_links_heavier flag
num_T1inks ShowMaximum
ShowLinksAbove
ShowATl1
max_num_11inks number
1inks_above number
discard_links_min flag
Tinks_min_records number
discard_1inks_max flag
1inks_max_records number
weak_below number
strong_above number
1ink_size_continuous flag
web_display Circular
Network
Directed
Grid
graph_background color O Ho| AlZfL0l|A MHEL|CE
symbol_size number L|C}.

H 12 T Oz = EM
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Xt izl C EM
| ol E
IS 293y LE EY
ChE Ed2 €8 E= 2= B2 Lo SSHYLIDL 2= o= HE 22 2o et EXA
of MESHA AgELct
B 109. &8 ZHY =E 54
£4 i Ed 49
custom_fields flag True@! Z2 oX =0 chst S8, 23 9
7|Bt HEE XFY = ASLICL False?! 32
YAEZ R o WM 4FS AEYLICH
target field DY |Yo w2t HY =87 HE E= OHF
L= E= =E ZEE XL
targets [field1 ... fieldN]
inputs [fieldl ... fieldN] DHOM AFBYI= U E= ofEHS HEY
Lt
partition field
use_partitioned data flag oE[S HEJH HojE 32, 0ol g = ot
E[49] Hio|EZt RS ZrdSt= O AHESHe
= 2L
use_split_data flag
splits [field1 ... fieldN] BY DY A8Yg EEE XHEPLLH
use_split_dataZt True2 HFE Z20% R
=2EfLct.
use_frequency flag ZtEX W e HEs 2f DY Q3| Cfs A
SE= 2 5% ZE0| ArEgLct.
frequency_field field
use_weight flag
weight_field field
use_model_name flag
model_name string M ZEO AFEAL Hel o|ELILCE
mode Simple
Expert
: =
anomalydetectionnode £
~, oy &5 & LBz "ga" Holy HEHE MEX| gbs 50| A0|A E= O|dztS AEeUCt
) O ES ALSSIE oTo| AT Mol MESIX| ofm, A1 U= MEHS WA B2t
. ojgdats AMEY £ AL

195



Of| |

node = stream.create("anomalydetection", "My node")
node.setPropertyValue("anomaly method", "PerRecords")
node.setPropertyValue("percent_records", 95)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("peer_group_num_auto", True)
node.setPropertyValue("min_num_peer groups", 3)
node.setPropertyValue("max_num_peer groups", 10)

B 110. anomalydetectionnode S8

anomalydetectionnode £ o EM MY
inputs [fieldl ... fieldN] Ol &= WAHS XFE Uy WEE 7|8t
OF 3 ZEE RELICL FF TE
£ M83HX| i&LCh 784 o B HE
T ARBSHA| AELICE XMt HEE (195 T
[oIxle] T=& ZEE L= EM) | FHE
XS
mode Expert
Simple
anomaly_method IndexLevel HIEEES oy d=Eez B XIFs| 9
PerRecords ot "AL gE WES=E O AR8ote YHE
NumRecords XlggfLct
index_Tevel number =3 XIH o|A& FZo HA HA S X
HELICH
percent_records number st HIOojEof U= HZES HMEE J|gh
O E2ia X 2o chet AAIZE 4
Hetuc
num_records number & HOlE0] A= BTEQ 5 7[HICE
o0 XF 220 it LAE 4Fd
LICF,
num_fields integer Zt ol o= B ZEO oijs Eng HE £
Lt
impute_missing_values flag
adjustment_coeff number He| Aol dE5d 9 HEY HEl 3
Ol gt JHEX|e #HE Fe ol A8
Sh= aheLICH
peer_group_num_auto flag 56 ot =5 XS2E Albtgti|ch
min_num_peer_groups integer peer_group_num_auto’} TrueZ MEE mff %
& &5 HE 8 XFEgLch
max_num_per_groups integer o 5 T =5 XFLCL
num_peer_groups integer peer_group_num_auto’ FalseZ HHME mj
A 8%te &5 HE & XIFeLCh
noise level number Ol&gto] 2 30| Mz|zle HHs e
LICE 0zt 0.5 AtO|2] 2t XIFSHUAIL.
noise_ratio number TS HHYO| AS8of o= A0 &
HE= 22 222 XFLh o 0.5
Atolel e XFSHIAIR.
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apriorinode §4

-

Of| |

node = stream.create("apriori", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("partition", "Test")

Apriori

L=

—=

Lol oA & ME
£ TS MEStE 509 M2 LHE Y

EE
=

ME§g§%*9§.1ﬂ“HEfL_EW

LIC}. Apriori®l A=

A 20

£[0f 7| 2ol *=

# For non-transactional

node.setPropertyValue("use transactional data",

o
=

o

| ol mMtol glem Z|of 32709 HR=AS 7

29
=]

node.setPropertyValue("consequents", ["Age"])

node.setPropertyValue("antecedents", ["BP",

# For transactional
node.setPropertyValue("use_transactional data", True)
node.setPropertyValue("id field",

# "Model" tab

IIAgeII)
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content field",

IIDY.ugII)

node.setPropertyValue("use_model name", False)
"Apriori_bp choles drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf",

node.setPropertyValue("model name",

node.setPropertyValue("optimize",

# "Expert" tab

node.setPropertyValue("mode",

30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true_flags", False)
"Memory")

"Expert")

_I

FESHD HE LHE0| JtE e FAE JH-LICEH Apriori
%H%amxﬁd*”@f %%Afaﬁﬁw4ﬂma

19| AL, Aprioris YHNHOZ =3 A7t wHELICL B
Z

P A
=

False)

"Cholesterol", "Drug"])

node.setPropertyValue("evaluation", "ConfidenceRatio")
node.setPropertyValue("lower_bound", 7)

H 111. apriorinode =

ENM
(=)

g Malg & Y&
U B WEJL BE HFHO|o{of SIXIE O[3 Sl Hlo|Eol %
s 458 BB

apriorinode EM 2 EM MO

consequents field Apriori ZE2 HEZE & 2 ¥ e oM =%
% (Consequents) X T2 (Antecedents)S ALE L
Ot 718X & gl EE= AMESHX| E&LICH X
Mgt HEE= 195 Ho[X|9] TZ& HEa LE £
FHZ HESIHIAIL.

antecedents [fieldl ... fieldN]

min_supp number

min_conf number

max_antecedents number

true_flags flag

o1& 22l = EY 197



¥ 111. apriorinode S4 (H%)
apriorinode EM 4 EM MY
optimize Speed
Memory
use_transactional_data flag
contiguous flag
id_field string
content_field string
mode Simple
Expert
evaluation RuleConfidence
DifferenceToPrior
ConfidenceRatio
InformationDifference
NormalizedChiSquare
Tower_bound number
optimize Speed 2 =do| £k = mE2|of cish x=3tE of
Memory Of =X HRE X|FYst= o AHELCH
associationrulesnode 4
a A2t f& LE= Apriori =EQF RARLICH OBL} Apriori®t= 2|, H2t #& LEE= S5 O

O|HE Me|g

| "
:. E )
\ |

T AFHCH £, A 7 == Y Ho|HE M2t o #E

& H2E M

8317| 2I8Hl IBM SPSS Analytic Serverzt B AFSY = U&LICEH

H 112. associationrulesnode S8

associationrulesnode 4 Holy |4 £4d 29

predictions field 0] 289 Tt A9 oEHS=MP LIEHE =
UA&LICH

conditions [field1...fieldN] 0| 589 WEEs A9 RUSEMTE LIEFE 2
S

max_rule_conditions integer e R ZEE o+ UAe 2A9 HOf L|Ct.
AA 1, Hcf o

max_rule predictions integer o Ao ZEE £ Aes olEe Aof SILICh
A4 1, 2 5.

max_num_rules integer A mMol gz nEE £ Q= FEO ALf £
Lt A 1, 2|ti 10,000

rule_criterion_top_n Confidence DEO| X[4e "N" 7Al0] MEiE|= S HEHS=

Rulesupport A 7|E=uct

Lift
Conditionsupport

Deployability
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H 112. associationrulesnode £ (AHl%)

associationrulesnode £4 Clolg |¢ £4 4¥

true_flags 2 YE MAStH Zeia Z=of ciet & gigr 7 =
o ZFo| ne{Elg mEELCH

rule_criterion 22 YE HFSHH & J|E ol Y XY Fo &
HeQIE Qs ArgEle EhERLC

min_confidence number ARE 1007HK] - HEO| s dMEl= ol o
°* Ha g MElFo| it HME Lok 2
2ol of7jofl XMl =t &2 MRSFES He 7
fg dMdste 42 s 7Ee AmELoh

min_rule_support number 0.12E 1007tX| - 2Eoj| olsf HME|l= ol o
ot A& " 7E X0 et HHAE ZIALCH 2
2ol XME ZECH &2 & X »FS #= 7
Ag dHsts E2 e #Ee ANELch

min_condition_support number 0.15Ef 1007tX| - 2o 23 MH=l= +2lof Cf
o HA " =AU X0l et HAE ZiLch 2
2ol XFE UL FA2 = X »FS A= 7
g ddsts 42 e &2 ANELC

min_1ift integer 1526 107HK| - 2ol o8 Hd=l= 2ol ciet %
4 4 Z|ZEE LIEHLICH DO XIHE ot
A2 B ZE £FE #He miEg Myshe 22 Y
A2 5.*7(1|%'|—|Ef

exclude_rules 22 DHOo| fAlg M| ASHA| s 2 HES =
E8 MEg= I1‘|| Af%%“—l':f.

Ofl: set :gsarsnode.exclude_rules = [[[field1, field2,
field3]],[[field4, field5]]] - [Jol Slsi TE== 2t &
= =2=20| goj29l 3 WLt

num_bins integer A&y oot FgEl= Xts # +5 4Fgy

max_list_length integer A 2o|l2 & & EiE oS =
9l

output_confidence 22
output_rule_support 22
output_1ift 22
output_condition_support 22
output_deployability 22
rules_to_display upto HO|S0| EAE &9 %o +IL(Ch
all
display_upto integer uptoZt rules_to display0lA] MAEEE= 22, &4
HO|SO0| EAY & & HHSMAR. 2 1.
field transformations 22
records_summary 22
rule_statistics 22
most_frequent_values ]
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H 112. associationrulesnode £ (AH%)

associationrulesnode 4 Clolg |¢ £4 H¥
most_frequent fields 22
word_cloud ]
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cTloud_display integer E4& 1, 2o 20
max_predictions integer A30{0f CHer 2t ol HEEH £ A= Ao &
LI}
criterion Confidence Ao ZEE mhHEstE O AM8%te EEE MEHSH
Rulesupport HAL.
Lift
Conditionsupport
Deployability
allow_repeats 2E SY%t olEFE 2= #Eo| ADOof| EEEE=X o
S5 EREBiLC)
check_input NoPredictions
Predictions
NoCheck

autoclassifiernode EAM

. S ERA S 0|2 A Ei OIS, O/ Ei 0|E okt S)of chel ol of2 2
2 Tyetn vlmelo] Foj7l BAS 9Igh AMo| MD WAS MU 4 QUi BT B Uy
C%* UMYZO0| NAUE|Of ABE W, 20| f SH M, Bt H@ VTS M & s
o =& NPE SHS VMO DU MES MMHstD ASK NFSHE 7IF0f Wt 2aol 3
22 a9lshgLct

Ol |

node = stream.create("autoclassifier", "My node")
node.setPropertyValue("ranking measure", "Accuracy")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable accuracy Timit", True)
node.setPropertyValue("accuracy limit", 0.9)
node.setPropertyValue("calculate variable importance", True)
node.setPropertyValue("use_costs", True)
node.setPropertyValue("svm", False)
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¥ 113. autoclassifiernode £4.

autoclassifiernode £

ZF

target

field

ranking_measure

Accuracy
Area_under_curve

Profit
Lift

Num_variables

ranking_dataset

Training
Test

number_of_models

integer

calculate_variable_importance

flag

enable_accuracy Timit

flag

accuracy_limit

integer

enable_ area_under_curve _limit

flag

area_under_curve_limit

number

enable profit limit

flag

profit_limit

number

enable_lift_Timit

flag

Tift_limit

number

enable_number_of_variables_limit

flag

number_of_variables_limit

number

use_fixed_cost

flag

fixed_cost

number

variable_cost

field

use_fixed_revenue

flag

fixed_revenue

number

variable_revenue

field

use_fixed_weight

flag

fixed_weight

number

variable_weight

field

1ift_percentile

number

enable_model_build_time_Timit

flag

model _build_time Timit

number

enable_stop_after_time_limit

flag

met mH Ok e | Jim
o
H 10 u
In 18 >
|"_'ruEI-I'
A nn
Olod N rr

]

Amf HT
ox| Il
HU‘I
=

]

Il

lafl B3]

i

2E 2l =
100 Atolel HM4-E X|

2 Lok 1t

0zt 100 AtO|9|

0.0z 1.0 Ato|o A2

02Ct 2 YLtk

1.02C0t 2 Ao

02Ct 2 YLtk

dote o Zele Azt

Qs 2 oelE 4¥she= J




® 113. autoclassifiernode E4 (Al%).

autoclassifiernode S4 ot £4d 49

stop_after time limit number tEs 2FA Aol gt ®A| dak Alzt
2 HMietsty| Qs Azt 2 d¥EEs o
LI}

enable_stop_after_valid_model_produced flag

use_costs flag

<algorithm> flag £ Lu2[E9 A 8E M8 E= A8
QFErLICE

<algorithm>.<property> string Ed gnz|Ee EY s HdFEYLIC
ItMit M| Tgne|E EM H3) P
HE8S XA

2ue|E E4 43
XIS BEX, XS 4K, XIS 2H o] A9 LS AISSE SX wnaE0 it S4e O
Ust AZ APt M 4 YLt

autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)
g =0,
node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

s BFA LEO E|5 0|22 cart, chaid, quest, c50, logreg, decisionlist, bayesnet,

discriminant, svm & knn®IL|C}.

s KA LEQ| &nz|E 0|2 cart, chaid, neuralnetwork, genlin, svm, regression, linear

s 23X =9 &112|E 0|E2 twostep, k-means, kohonen®iL|C}.

O ELE 7EF #RHE ZSsts YN2|E EH2 M2MzEE FOOF SLICE of:
node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")

Edoi chsf CtE A4S X-L =k JASLICE of:
node.setKeyedPropertyValue("decisionlist", "search direction", ["Up", "Down"])
EXN LNE|EQ A8 A8 Ex= A8 oSt CIE28 sHSHHAIR.

node.setPropertyValue("chaid", True)

M3 SH YT SHO| S BRA LSOIM AISZ 4 9= FS EE o eIt ofLzt &
U U AW 4 U2 W, BE WAOR Cof AMAY uet SU A7t AT HEEL
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=
autoclusternode 4
N RS Y EEE QAT S48 VI M3 182 AYds =¥ 2YS FHSID Hj@BLC
=3 0 EE CIZ X5 BYY o SAS YHOR HSolo T B HAcN C1F SM =
'. ge AYY = AFLCHL 2 ZEo REYS THYSL =olootH £EF HES Z24s V|t
OR ZEE HIBRD AITSHE 72 SES AIBOI0 RYS HRY & YL
Oof| 5|
node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking _measure", "Silhouette")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable silhouette 1imit", True)
node.setPropertyValue("silhouette Timit", 5)
H 114. autoclusternode 4
autoclusternode E4 o £d 4dY
evaluation field B A5 2E SCU HYELL SR
O] AlME|= HEES AEELC E= #TO| 0]
Heol g2 APEsisio 2o of WES oS
Sl X E AlEsh= O M8E + USLICHL
ranking_measure SiThouette
Num_clusters
Size_smallest_cluster
Size_largest_cluster
Smallest_to_largest
Importance
ranking_dataset Training
Test
summary limit integer BhMof Eg 2E L 12 100 AHO]
9| Y+E XFSHHAIR.
enable_silhouette_Tlimit flag
silhouette Timit integer 02t 100 Atol9] F4=JLiCt.
enable_number_less limit flag
number_less_limit number 0.0t 1.0 Aoj9| ML Ct
enable_number_greater_limit flag
number_greater limit number 0=ct & H=ULch
enable_smallest cluster_limit flag
smallest_cluster_units Percentage
Counts
smallest cluster_limit_percentage |number
smallest_cluster_limit_count integer 020t 2 HLch
enable largest cluster Timit flag
largest_cluster_units Percentage
Counts
o1& 22l == £4 203



¥ 114. autoclusternode EM (HH)

autoclusternode £ o £4 49
largest cluster_limit_percentage |number

largest_cluster_limit_count integer

enable_smallest Targest limit flag

smallest_Targest_limit number

enable_importance_Timit flag

importance_limit_condition Greater_than

Less_than
importance_Timit_greater_than number 0t 100 Ato|e] MLk
importance limit_less_than number 0t 100 Atole] H~iL|Ct,
<algorithm> flag £ 212159 MEE ME E= A oty
ct.
<algorithm>.<property> string Ed Yue|Ee EM s AL XiAlst
MEE o2 Ho|X[e] IYiz[Ed EM MF) |
o i8S EZSHAIR.
; [
autonumericnode §4
2N s A LEs U2 YHE ALES =X Hel Aute| HEg FEotn HlwHL|CH
& O] LEE XUE 2RA LE0AMQt 22 NESIOE MY LdN2ES MEsiD ¢ 2
. Y HMPoM oz M9 xgs AY SLICH XEe gnelEoe AdY, C&R EZ|,
CHAID, {1 2|7, 2ttet M =7 & HE HA(SVM)O| ASLICE DR S22, ol
Qi EE AMSE HAol £E J[HOZ H|W Uq&Lct
of| |
node = stream.create("autonumeric", "My node"
s y
node.setPropertyValue("ranking measure", "Correlation")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_correlation_limit", True)
node.setPropertyValue("correlation limit", 0.8)
node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("neuralnetwork", True)
node.setPropertyValue("chaid", False)
H 115. autonumericnode £
autonumericnode S o EM MY
custom fields flag True@! 2% A FHol HE 432 R &
E X Al AFSELCHL
target field s =X LEE S| =8 U St 049
Uy Lo et JtEA Y e gE
XS 2 JASLICE XMt HEE [195 I
[oIx[o] T=E ZER LE ENj|FHE &
SN L.
inputs [fieldl ... field2]
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¥ 115. autonumericnode E4 (Al%)

autonumericnode S ot Ed &9

partition field

use_frequency flag

frequency_field field

use_weight flag

weight_field field

use_partitioned_data flag , =

e[ BEJF FolE= F2, =3 HojHut
SE EYoll AL ELICH

ranking_measure

Correlation

NumberOfFields
ranking_dataset Test
Training
number_of models integer 29 4200 ZTetE g@ LQLCt 13t 100 A
o]9l & XIFstHAIL.
calculate_variable_importance flag
enable_correlation_limit flag
correlation_limit integer
enable_number_of_fields_limit flag
number_of_fields_limit integer
enable_relative_error_limit flag
relative_error_limit integer
enable_model_build_time_limit flag
model _build_time Timit integer
enable_stop_after_time_limit flag
stop_after_time_limit integer
stop_if_valid_model flag
<algorithm> flag EX 2d12|F9 MEE ME Ei= A8 AE
LIt
<algorithm>.<property> string EXN dne(Ee EY US MEYLICH KAt

HEE 02 Ho[Xle] Tehz|Es E4 M3y |
of LS HZIHAIR.

bayesnetnode £

-
r

Of| |

HO|X|ot HEYA LEE Edff =
i'f--' sfozu o2 pYg X

ol
N
("
n=
=
X
Ral
1=
=

rr M
I

gotof Wy S8 2

TAN(Tree Augmented



node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing_model", True)

node.setPropertyValue("structure type", "MarkovBlanket")
node.setPropertyValue("use feature selection", True)

# Expert tab

node.setPropertyValue("mode", "Expert")

node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("independence", "Pearson")

H 116. bayesnetnode S

bayesnetnode EM

ZF
HA

E M
£9 49

inputs

[field1 ... fieldN]

Hlolxloh A ZY RS Y =
= S|

Lt ol4tel @2 mE

= [195 HO[X[S] THE ZEE]

FHE BZSHAR.

Validation

continue_training_existing_model flag
structure_type TAN HO|X[ot HESZE FdY mf ALY 1=
MarkovBlanket £ dEisAI2.
use_feature_selection flag
parameter learning method Likelihood ARlol Zfo] 2T L= Moo =7E
Bayes E H0|ES =Hdte ol Argdts d¥E X
et
mode Expert
Simple
missing_values flag
all_probabilities flag
independence Likelihood £ H0l CHslf WE 0|R= BEHIL0| ME
Pearson SEMQIX| oFE HESH= O AEo= &
He XYYLch
significance level number SEY HEg It BA UE At
maximal_conditioning_set number SEY dFo| A8Y =g Ha Ao £
£ Aggutt
inputs_always_selected [field1 ... fieldN] HOIX[ot HESZE Zde of 2d Atge
ClolEl MES| EEES X[FeiLICt.
NI 2E WSS gy MEELUCH
maximum_number_inputs number HIOIXIQ HEX R ZHdo| AH8Y 3 HE
o A & X[FELItt
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities flag
adjusted_propensity_partition Test
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buildr EA

of| |

node = stream.create("buildr", "My node")
node.setPropertyValue("score syntax", """
result<-predict(modelerModel,newdata=modelerData)
modelerData<-chind(modelerData,result)

varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real", fieldMeasure="",

fieldFormat="",fieldRole="")
modelerDataModel<-data.frame (mode] erDataModel ,VaY‘].) nn ||)

¥ 117. buildr 4.

buildr £4 U g4 &9
build_syntax string 2 MME 9t R ATRE 2
score_syntax string 2E AF0Ee R AFEE FE
convert_flags StringsAndDoubles 220 HEE W= 4.
LogicalValues
convert_datetime flag =W s "HW/AIZ A 2t HEE R E
/A2 HAlo2 Hetsh= S
convert_datetime_class POSIXct U = EW/AZE WAl 2te HEE HE
POSIX1t g M XFote s34
convert_missing flag AZUS R NA g2 HES= 4.
output_html flag R 22 20N o J2iZE BEASH= 4.
output_text flag R 2 H2loM R 2& HAE =33 Ho
ME S
E
c50node =*°.|
C5.0 cE= QAEHE E2| = A NEES ZHYLICh ZE2 2f £F0|M 2of FE oS H|
C’)‘\ 3otz HEE J[gtez MES 2Yod ZSHLCL =8 Ho= HIFHO0[0oF FLICh A 7H 0
30 Aol Byctozel OfF £¥0| SgELCt

off &l
node = stream.create("c50", "My node")
# "Model" tab

node.setPropertyValue("use model name", False)
node.setPropertyValue("model_name", "C5_Drug")
node.setPropertyValue("use_partitioned data", True)



node.setPropertyValue("output_type", "DecisionTree")

node.setPropertyValue("use xval", True)

node.setPropertyValue("xval_num_folds", 3)
node.setPropertyValue("mode",

"Expert")

node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child_records", 3)

# "Costs" tab

node.setPropertyValue("use costs", True)
node.setPropertyValue("costs", [["drugA", "drugX", 2]])

H 118. c50node EAN

c50node S4 U =d 29
target field C50 RE2 o 57

=
_— =]
2 LCE AIRELCH 7tE e XS 4

UELICH XM[3H ME = [195 HO[X[O] =g

[EFT = £55] FRIE HxoHIAI2.

output_type

DecisionTree

Generality

RuleSet
group_symbolics flag
use_boost flag
boost_num_trials number
use_xval flag
xval_num_folds number
mode Simple
Expert
favor Accuracy e = HEME MTELICt

Validation

expected_noise number

min_child_records number

pruning_severity number

use_costs flag

costs structured O|H2 Fxot EMYLICt
use_winnowing flag

use_global_pruning flag 7|2MoE On(True)YLICH
calculate_variable_importance flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity_partition Test
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carmanode EM

. CARMA 2He 92 Tt 2E LSS XA ot Holsoly 74 HMES Fz8Lich
i Apriori® TIZSOZ CARMA =E& EHX| X% X120l oflzt 74| NEEY % 3 & Choj
et Xgh2 Set A HES MBLCL Ol MNE FHES 2O Cige ofBelAoldol A8

sfof, olE S0f S0l oyl FokH0| B Yol HE E= MulA 222 HE 4+ 282 o

OlgfLIct.

Of| |

node = stream.create("carma", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("use transactional data", True)
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model name", False)
node.setPropertyValue("model name", "age bp drug")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("min_supp", 10.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_size", 5)

# Expert Options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("use pruning", True)
node.setPropertyValue("pruning _value", 300)
node.setPropertyValue("vary support", True)
node.setPropertyValue("estimated transactions", 30)
node.setPropertyValue("rules_without_antecedents", True)

¥ 119. carmanode £

carmanode £ ot £d 49

inputs [field1 ... fieldn] CARMA ZE2 3 Lol 82 AESIHK|
oF a2 ARESHR| EELICH 718X 3 I
HE = AESHR AELICH XMt HE=
[molxjo] T2&E ZH LE 4y | FHE &
XSHMA| 2.

id_field field OE ZYg 9%t ID HEEZ A8%h= HEY
Lict.

contiguous flag ID EEQ| IDJ} ALHRIX| RS X|HSH=
ol AtggLich

use_transactional_data flag

content_field field

min_supp number(IH M E) M X|of ofL|at & Xt tAELICE 7]
22 20%YLIC.

min_conf number(HMAE) 712ae 20%ULCt.

max_size number 7|22 10Lct.
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¥ 119. carmanode EH (A1)

carmanode £ o £4 49
mode Simple 71222 SimpleQLICt.
Expert
exclude_multiple flag s 2aate #d= 782 Mol 71282t
2 FalseLICh

use_pruning flag 71282 FalseRJLICt

pruning_value number 71232 5004LIC}

vary_support flag

estimated_transactions integer

rules_without_antecedents flag

cartnode E4

C

P24

Mo

e =2 1 ox HT
=
|

Ol |

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tab

node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])
# "Build Options" tab, "Objective" panel
node.setPropertyValue("model output_type", "InteractiveBuilder")
node.setPropertyValue("use tree directives", True)
node.setPropertyValue("tree directives", """Grow Node Index O Children 1 2
Grow Node Index 2 Children 3 4""")

# "Build Options" tab, "Basics" panel
node.setPropertyValue("prune_tree", False)
node.setPropertyValue("use std err_rule", True)
node.setPropertyValue("std_err_multiplier", 3.0)
node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use_percentage", True)
node.setPropertyValue("min_parent records pc", 5)
node.setPropertyValue("min_child_records_pc", 3)

# "Build Options" tab, "Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)
node.setPropertyValue("impurity measure", "Twoing")

# "Model Options" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model name", "Cart Drug")
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¥ 120. cartnode £

cartnode 54 ot 54 &89
target field C&R Ez| 2H2 StLto| iyt St 0|49
= "ot gt gl HEE XFY
AELICE XM H2 = [195 HO[X[S] TSE]
[EE2Y =E E5) | FHS HESMAL.
continue_training_existing_model |flag
objective Standard psm2 012 2 HIO|E MEO| ASSHH MH A
Boosting Zo| "egtL|Ct
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string EZ| 4%E2 QP NAEE XHSAR. & Ht
7| EE= Q8R= 0|AF0|ZE msty| LIl
XAEE ME J8RSE 8 5 JUGLICL X
AlZ22 Holy = RHZ JMO| Afash A}
of o 2lde 4+ ASH LHE HIojE ME=R
UststolR| %2 4 USS HTGHIAL.
use_max_depth Default
B Custom
max_depth integer 05E 10007tX|2] =i E2| ZO|YL|Ct
use_max_depth = Custom® Z02F AFSEL|
ct.
prune_tree flag IS WXSHI| I8 EBIE ZHKIX|7|gL|Ch
use_std_err flag (BZE 2X0ilM) el 2| XI0|E A5
AR.
std_err multiplier number Z|CH Xto[ LTt
max_surrogates number Ef MEH|0|EQLICE
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured T3 S
priors Data
Equal
Custom
custom_priors structured T3 EMULICE
adjust_priors flag

o
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H 120. cartnode 8 (A%)
cartnode 4 o £d 4Y
trails number BAR EE HIZE Qo #HeA BH L
ct.
set_ensemble_method Voting HEY il cfet 7|2 Zg ALct
HighestProbability
HighestMeanProbability
range_ensemble method Mean ASE ool et 7|2 2 Fau ot
Median
Targe_boost flag oi® 2 dlolEe MEo| 2AEES HEgLCt
min_impurity number
impurity_measure Gini
Twoing
Ordered
train_pct number oA HX| MEQJL|C
set_random_seed flag 2t X SMYLICL
seed number
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test
Validation
chaidnode E4
s CHAID LE& jtI7H 2YS AEst| 2ol FolMlE SAZE ALESIH QAR EZ|E MHYL
iﬁ-‘; Cf. C&R E2) ¥ QUEST -9t |, CHAIDE Hlo|=# el 4% + gon o= s
2ol  ojdel 27|17 ASE 20[HLIct 7 U ¢4 HEE X He|(g4Y) £= HFEY
LICt. Exhaustive CHAIDE 7ts% ZE 892 HMsts 2C0F X 28 fASHK|CH ALt

£ Ol AlZto] o Z2ls HY CHAIDY LI,

Of| |

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

node = stream.createAt("chaid", "My node", 200, 100)
stream.1link(filenode, node)

node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model _name", "CHAID")
node.setPropertyValue("method", "Chaid")
node.setPropertyValue("model output_type", "InteractiveBuilder")
node.setPropertyValue("use tree directives", True)
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node.setPropertyValue("tree directives", "Test")

node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("merge_alpha", 0.04)
node.setPropertyValue("chi_square", "Pearson")
node.setPropertyValue("use_percentage", False)

node.setPropertyValue("min_parent records abs", 40)
node.setPropertyValue("min_child_records_abs", 30)

node.setPropertyValue("epsilon", 0.003)
node.setPropertyValue("max_iterations", 75)

node.setPropertyValue("split_merged categories", True)
node.setPropertyValue("bonferroni_adjustment", True)

¥ 121. chaidnode EH

chaidnode EM o £d 29
target field CHAID Z2&2 dfLto| CH&ft StLt ool &
o FETF QR e AEE XY £
UELICE XpAIEH HEE= [195 HO[X[o] IS5
[EE2 =C E4)] FHE BESHIAR.
continue_training_existing_model |flag
objective Standard psm2 O 2 HIO|E MEO| At2StH M A
Boosting Zo| HagtL|ct
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth integer 05 E 10007tX|e| =i Ez2| Zo|LCt
use_max_depth = Custom® Z02t AFSEL|
ct.
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured T3 S
trails number 2AR E= HidE flot PR 2E QL
ct
set_ensemble_method Voting H3EY oo et 712 Zg o EYLCH
HighestProbability

HighestMeanProbability

o
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H 121. chaidnode £4 (A%)

chaidnode £4 o £4 49

range_ensemble method Mean HEH haof Chgt 712 2 FEuct
Median

Targe_boost flag ol 2 dlole MEO 2ARES Xt

split_alpha number 2 FolZ=gLCt

merge_alpha number Heh fol+FLCh

bonferroni_adjustment flag Bonferroni &'HE AMESIH |94 2 =H

grLCt

split_merged_categories flag Heltel H3ol MEge 8Lt

chi_square Pearson 710|M& SAHES ALshs o AH8dh= E
LR (Pearson EE= 2kZH|(Likelihood Ratio))®iL|

ct.

epsilon number M |CHRIESl XA HBFQIL(CH

max_iterations number FHZ 9T Hoh gr=ULCH

set_random_seed integer

seed number

calculate_variable_importance flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity_partition Test

Validation

maximum_number_of models integer
=
coxregnode §4
Cox 2|7 LEE S8l Z=HEE ZE=0t ClAM AlZF CH O|HIE C|O|E{0] CHYt MZE HES
The? Y8 4 YELCL o] RS FojTl Y off Chsi ZFOIE AlZHpOl SOIQUE OJHMET} Y
- Bt HES OBSte WEELE MNLICH

Of| |

node = stream.create("coxreg", "My node")
node.setPropertyValue("survival time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal criterion”, "Conditional")
node.setPropertyValue("survival", True)

H 122. coxregnode 5

coxregnode £ 2 EM MO

survival_time field Cox 2|7 B2 ME AZte Zgsh=
2 Lt et

214
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H 122. coxregnode E4 (Al%)

coxregnode £ o EM MY
target field Cox 2|7 2¥e o =5 ZEQ} 8Lt 0]
Aol o oot WRBiL|Ch KMet MEE=
[195 Ho[x[o] TZE HEZ LE EM) |F
HE EZSHIARL.
method Enter
Stepwise
BackwardsStepwise
groups field
model_type MainEffects
Custom

custom_terms

["BP*Sex” "BP*Age”]

mode

Expert
Simple

max_iterations

number

p_converge

.0E-4
.0E-5
.0E-6
.0E-7
.0E-8

p_converge

.0E-4
.0E-5
.0E-6
.0E-7
.0E-8

1_converge

.0E-1
.0E-2
.0E-3
.0E-4
.0E-5

[ I e B = T e T R R e e B e R R R e T

removal_criterion

LR
Wald

Conditional

probability_entry

number

probability_removal

number

output_display

EachStep
LastStep

ci_enable

flag

ci_value

90
95

99




B 122. coxregnode £ (Al%)
coxregnode £ 4 EM MY
correlation flag
display_baseline flag
survival flag
hazard flag
Tog_minus_1log flag
one_minus_survival flag
separate_line field
value number L& string HEol| chet gol XFEX| ef2 E2, e
Zof chs 7|12 42 "Mean'S MY
LICt.
decisionlistnode §4
2T, OIMNEE FE LE= A k70 SChERl FO{Zl 0|2Y Hute| 49l E= ot K& EAISH
\ % = RHH E= MOIHES MESLICL oS S0, ZHQIS o|EY Jtsdo| gL =Mz &
He Jts40| 7tE B2 nME FHan QJUELICH XM AHEX "ol MIHEES FIi5tn iy 2™
£ LIgts| D[2[27|5t] Z20E HugozM HIZLA X|AlS DY S = ASLICH SAHE
H =5 RY2 2 o] =3 20t Je A 2ECE FHELILL FAE2 aMUiE XEX
M OfX[st= R #w 7&lo] AuE A™ELICH
of| 5|
node = stream.create("decisionlist", "My node")
node.setPropertyValue("search direction", "Down")
node.setPropertyValue("target value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group size pct", 15)
H 123. decisionlistnode S
decisionlistnode £4 3 £4 29
target field AEE =25 ZE2 thd iyt St ofY
o o3 HEE AU Bl HEX XH
2 2 UAFLICE XMIst FE= [195 HO[X[9f
(5 2da L& E4) | FHE FxstuAl
2.
model output_type Model
InteractiveBuilder
search_direction Up MIOHE #7|oF BAELICL Up2 &2 HE
Down 1t S7t0|1 DownE ®2 =ED STHALICE
target_value string XM X 2o Seiao] chel true atS 7HE
grLct.
max_rules integer LHXIE Mgt 2o MOIHE LT}
min_group_size integer Ha MOHE I7|YLICE
min_group_size_pct number HMEZMO A& MOIHE IT|LICE
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H 123. decisionlistnode S8 (A%)
decisionlistnode £ i £4 49
confidence level number NIHE Folof Itz WS 20|UA 2=
7| Sis 2ol =S HMEITE MB)siol
St & AT
max_segments_per_rule integer
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count number
max_models_per cycle integer =E9| AM HH| LT
max_rules_per cycle integer MIIHE 29 HAM LH|QILICt.
segment_growth number
include_missing flag
final_results_only flag
reuse_fields flag (A0 LIEILEE 3 BHE)S O AL
SIEE S{ERLIC
max_alternatives integer
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test

Validation

discriminantnode EA

=

"
r .,
#E‘.

Of| |

node =

stream.create("discriminant"”, "My node")

node.setPropertyValue("target", "custcat")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("method", "Stepwise")

¥ 124. discriminantnode 4

A JHES SHNT oY HHO| ERE 2XAE B £

discriminantnode §4 o £4 449

target field o Do ol SF ZCEQ Stit o|Ae ¢
H oot LRtk 74X 9 g "EEs
AHESHR| QA& LICE XMISH HEE= [195 HO[X|
[of FEE 2l L= ENj | FHE &=t
HAlL

b
In
m
0x
N
[y
N



¥ 124. discriminantnode E4 (H%)

discriminantnode §4 i £4 49
method Enter

Stepwise
mode Simple

Expert
prior_probabilities AllEqual

ComputeFromSizes
covariance_matrix WithinGroups

SeparateGroups
means flag g S izt 4Xtel SA SHYLCL
univariate_anovas flag
box_m flag
within_group_covariance flag
within_groups_correlation flag
separate_groups_covariance flag
total_covariance flag
fishers flag
unstandardized flag
casewise_results flag g M4 izt Mxtel 28 SHYLIC
Timit_to_first number 7|22 10L/Ck
summary_table flag
leave_one_classification flag
combined_groups flag
separate_groups_covariance flag dHHE M JE-ZHE S2EM HY,
territorial_map flag
combined_groups flag EE M Fgg-do
separate_groups flag TH M JfE-EL
summary_of_steps flag
F_pairwise flag
stepwise_method WilksLambda

UnexplainedVariance

MahalanobisDistance

SmallestF

RaosV
V_to_enter number
criteria UseValue

UseProbability
F_value_entry number 7|23 3.84LICH
F value_removal number 71282 2.71L|C
probability entry number 71222 0.05L|C
probability removal number 7|123t2 0.10LIC
calculate_variable_importance flag
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¥ 124. discriminantnode £4 (H%)

discriminantnode £ o E4 49
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test
Validation
extensionmodelnode £
@- ga 2E L5 ALEYHH R EE Python for spark A3 E
7 EE sty ZoE st ADolde = USFLICH

Python for Spark Ci|X|

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_build", "extension_build")
node.setPropertyValue("syntax_type", "Python")

build script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.ml11ib.Tinalg import DenseVector

from pyspark.mllib.tree import DecisionTree

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()
schema = df.dtypes[:]

target = "Drug"
predictors = ["Age","BP","Sex","Cholesterol","Na","K"]

def metaMap (row,schema):
col =0
meta = []
for (cname, ctype) in schema:
if ctype == 'string':
meta.append(set ([row[col]]))
else:
meta.append((row[col],row[col]))
col += 1
return meta

def metaReduce(metal,meta2,schema):
col =0
meta = []
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for (cname, ctype) in schema:
if ctype == 'string':
meta.append(metal[col].union(meta2[col]))
else:
meta.append((min(metal[col] [0] ,meta2[col] [0]),max(metal[col][1],meta2[col][1])))
col +=1
return meta

metadata = df.rdd.map(lambda row: metaMap(row,schema)).reduce(lambda x,y:metaReduce(x,y,schema))

def setToList(v):
if isinstance(v,set):
return Tist(v)
return v

metadata = map(lambda x: setToList(x), metadata)
print metadata

Tookup = {}
for i in range(0,len(schema)):
Tookup[schema[i][0]] = i

def row2LabeledPoint(dm,lookup,target,predictors,row):
target_index = lookup[target]
tval = dm[target_index].index(row[target index])
pvals = []
for predictor in predictors:
predictor_index = Tookup[predictor]
if isinstance(dm[predictor_index],1ist):
pval = dm[predictor_index].index(row[predictor_index])
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval,DenseVector(pvals))

# count number of target classes
predictorClassCount = len(metadata[lookup[target]])

# define function to extract categorical predictor information from datamodel
def getCategoricalFeatureInfo(dm,lookup,predictors):
info = {}
for i in range(0,len(predictors)):
predictor = predictors[i]
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],1ist):
info[i] = Ten(dm[predictor_index])
return info

# convert dataframe to an RDD containing LabeledPoint
1ps = df.rdd.map(Tambda row: row2LabeledPoint(metadata,lookup,target,predictors,row))

treeModel = DecisionTree.trainClassifier(
1ps,
numClasses=predictorClassCount,
categoricalFeaturesInfo=getCategoricalFeatureInfo(metadata, lTookup, predictors),
impurity="gini',
maxDepth=5,
maxBins=100)

220 IBM SPSS Modeler 18.1.1 Python A3ZE 5! XtE3t M



_outputPath = cxt.createTemporaryFolder()
treeModel.save(cxt.getSparkContext(), _outputPath)
cxt.setModelContentFromPath("TreeModel", outputPath)
cxt.setModelContentFromString("model.dm", json.dumps (metadata), mimeType="application/json")\
.setModelContentFromString("model.structure",treeModel.toDebugString())

node.setPropertyValue("python build _syntax", build_script)

R Of|H|

#### script example for R

node.setPropertyValue("syntax_type", "R")

node.setPropertyValue("r_build_syntax",

modelerData)
modelerDataModel
modelerModel

unn II)

modelerModel <- Tm(modelerData$Na~modelerData$K,

H 125. extensionmodelnode £
extensionmodelnode S4 o Ed 449
syntax_type R Mgt ASZE, R & Python2 XIFBHUA|
Python Q(RO| 7|23)).
r_build_syntax string od ME 9t R AT-E A2QLICH
r_score_syntax string o ATORIE 93t R A3EE FELICE
python_build_syntax string DE S 2[5t Python A3EE FEQLICE
python_score_syntax string 2E ATAES 9T Python 23ZE 1EY
LICH
convert_flags StringsAndDoubles =1 HEE Hash=E 4.
LogicalValues
convert_missing flag ZZUS R NA L= HEs= M
convert_datetime flag = = /A FAlg 2le HEE R E
W/ AIZE HAOR Hetst= 4.
convert datetime class POSIXct U EE EM/AIZE HAS e HaE e
POSIXTt g A2 XFote 34
output_html flag R 2% 20N 8o 22iZE BEASH= S4.
output_text flag R 2% oM R 2& HAE =33 Ho
ME S
factornode §4
ot PCA/RQ! =E0M= 233t HojE A 7|HE MBste Clo|Ee SETE FYLICL HIME =
g-l HERM(PCA)E AT M2 ZZi(Zhol HA| HE MEOM HEE HMsts 4 Heo
My xS ASLICH 20 EM2 HEE LIS NE oA AR e Mdsts 7|12 29l
S AU ATYLLCHL & F2 A 25 ZH= e EE MEQ FEE SO =E Qofdt
= M2 2o It HEE A= AYULC
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Of| |

node = stream.create("factor", "My node")

# "Fields" tab
node.setPropertyValue("custom fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Factor Age")
node.setPropertyValue("use partitioned data", False)
node.setPropertyValue("method", "GLS")

# Expert options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", True)
node.setPropertyValue("matrix", "Covariance")
node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract factors", "ByFactors")
node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" section
node.setPropertyValue("rotation", "DirectOblimin")
node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

EM
-1 o

H 126. factornode

factornode 54 M EM MO
inputs [field1 ... fieldN] PCA/Q¢ ZE2 3 HEQ| FES AIEY}
X2k cHa2 ELICH k8K o BE HEE
AFESHR| S&LICH XpA3 s [195 HOIX]
[l 725 =99 = E4) | 5HE Hxsl
AMAIR
method PC
ULS
GLS
ML
PAF
Alpha
Image
mode Simple
Expert
max_iterations number
complete_records flag
matrix Correlation
Covariance
extract_factors ByEigenvalues
ByFactors
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EM

H 126. factornode (A%)

factornode EA o Ed 449
min_eigenvalue number
max_factor number
rotation None
Varimax
DirectOblimin
Equamax
Quartimax
Promax
delta number DirectObliming =M HIO|E RUSE MEHS}
= 82 deltall S XFY & YSLICL
U2 K™K LOH deltal 7|2US AL
grLfch
kappa number PromaxE 2| CO|H RECE MEHS= HR
kappa?l S X™E = JUSLICL
U2 K™K LOH kappall 7|24US AL
ghLfch
sort_values flag
hide_values flag
hide_below number
featureselectionnode §4
. LoME LEE= J|EOl: 250 HME) MEE J|Hez HAE = HEE Xteteh|ch O3
Hivi Cte XIAE CHaof MohEQl Hot Qe = SRE0| el =2/ oiZL|Ct olE S0, =8 7Y
o Zxf ol U= HIo|H METF JUCHH Xt Anp ZHE Al o= 0| 7tE LN
of| |
node = stream.create("featureselection", "My node")
node.setPropertyValue("screen_single category", True)
node.setPropertyValue("max_single category", 95)
node.setPropertyValue("screen_missing_values", True)
node.setPropertyValue("max_missing_values", 80)
node.setPropertyValue("criteria", "Likelihood")
node.setPropertyValue("unimportant_below", 0.8)
node.setPropertyValue("important_above", 0.9)
node.setPropertyValue("important _label", "Check Me Out!")
node.setPropertyValue("selection _mode", "TopN")
node.setPropertyValue("top_n", 15)
Lo Me oEls 2N gl M8ohs 2ot AT oo CHeiAE [ing &ZsHUAIL.



B 127. featureselectionnode %4

featureselectionnode S # £4 49
target field o ME DE2 XFE o] duide=z
OlEX &9IE HALICE 7HEX 3 gie E
E= AR etELICH XtMet HE=
[@olxje] TdE 2Ha LE E45 |FHE
FSENC S UNE®N
screen_single category flag True®l 22, BIZEQ £ 0| MHFHOR
St HF0| S07t= HRET HE B2
LS Xperefuict
max_single_category number screen_single_category”l True® U ALS
St= AAIZES KIFELICE
screen_missing_values flag True®l 22, 2IZES & 2 HUERZ #
dEl= 2FG0| HR B2 EES AT
Ct.
max_missing_values number
screen_num_categories flag True@! 22, 2IZEQ £ 0| MTHHCE
HE M2 HFE #= HEE At
max_num_categories number
screen_std_dev flag True?! 22, XHE ZAHCH AL 242
= HAE 2= HEE AtTHLct
min_std_dev number
screen_coeff of var flag True@l 22, X|IEE ZAHCH =L 22
24 ASE = HEE XPEELCH
min_coeff_of_var number
criteria Pearson HEd o EHSE HEY ol cHel =2
Likelihood st M, ZQE 20| 7|8to| El= EEE X|
CramersV et
Lambda
unimportant_below number 52, HE k= Q0K A8z Ha &
IE XHst= ol Argdts A p US
HYLICE 0.02E 1.07HK[9 g2 AL
Ct
important_above number 0.02H 1.07tX|9| zt2 SolgLICt
unimportant_Tabel string ER5H| 2 &2/of it o|22 X
LiCt
marginal_Tabel string
important_Tabel string
selection_mode Importancelevel
ImportanceValue
TopN
select_important flag selection_mode?} Importancelevel= HEF
2 mf, 38 HE ME 25 XFLLC}
select_marginal flag selection_mode?t ImportanceLevel 2 X
2 mf, 28 gt ME 25 X|FeLC}
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H 127. featureselectionnode £ (A%)

featureselectionnode £ o

=
£5 59

select_unimportant flag

selection_mode?} ImportancelevelZ &H
2 o, ZRHK %S WE Me =S X

SR

importance_value number

selection_mode”} ImportanceValueZ2 A&
2 o, A8 EA g2 XFELICL 08H
1007tX19] g2 SoAgLICh

top_n integer

selection_modeZt TopNCE MME mf, ALE
g EA g2 XIFgLCh 00l MSE 10007t
Xlol g2 Selgot.

genlinnode E4

Ol |

node = stream.create("genlin", "My node")

node.setPropertyValue("model type", "MainAndAl1TwoWayEffects")

node.setPropertyValue("offset type", "Variable")

node.setPropertyValue("offset field", "Claimant")

H 128. genlinnode S8

genlinnode 4 Z EM MY
target field YUirel MY HER H= e S HEY
Of St Ef BE LS siLE 04l @2 I
=ot Heduoh 7S 2ER XFE + UAs
LIch X3t HEE 195 HOXS (25 &
HE C E5) | FHE AESAIR
use_weight flag
weight_field field HE RE2 x| A&fgLct
target_represents_trials flag
trials_type Variable
FixedValue
trials_field field L QU2 dEd, 20 E= Mg
trials_number number 71232 10QLct
model_type MainEffects
MainAndAT11TwoWayEffects
offset_type Variable
FixedValue
offset_field field HE RHE2 X A9t




H 128. genlinnode EM

(A%)

genlinnode EM

7}
BA

am
nx

offset_value

number

| ox

>

base_category

Last
First

include_intercept

flag

mode

Simple
Expert

distribution

BINOMIAL
GAMMA

IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL

IGAUSS: S7tRA.
NEGBIN: S0|%.

negbin_para_type

Specify
Estimate

negbin_parameter

number

\J

|23t
fLICE

rlo
—_
i)
[
=l
gjo
o
o
rc
>
>
mju
H
oot
[e]3

ot

tweedie_parameter

number

Tink_function

IDENTITY
CLOGLOG

LOG

LOGC

LOGIT
NEGBIN
NLOGLOG
ODDSPOWER
PROBIT
POWER
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT

CLOGLOG: & Z3-271,
LOGC: =21 H.

NEGBIN: SO0[|%.

NLOGLOG: & Z3-Z1.
CUMCAUCHIT: & Cauchit.
CUMCLOGLOG: & & Z3-27,
CUMLOGIT: =& ZXl.
CUMNLOGLOG: =& & EI-21.
CUMPROBIT: &=& m =4[,

power

number

2 A2 00| ot =Xto{of PfLICt.

method

Hybrid
Fisher

NewtonRaphson

max_fisher_iterations

number
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H 128. genlinnode S8 (Al%)

genlinnode EM

7t
BA

am
0x
nx
08

scale_method

MaxLikelihoodEstimate
Deviance

PearsonChiSquare
FixedValue

scale_value

number

7122 1YLt o=2et FHofF gfLc.

covariance_matrix

ModelEstimator

RobustEstimator
max_iterations number 7|22t2 100QIL|Ct. 20| ofLl MAOh Jpsst
L|Ct.
max_step_halving number 7|23te sYULICt ¥o| Mgk JhsTLct
check_separation flag
start_iteration number 71282 20QLICE 2ol 4ot S{EE LTt
estimates_change flag
estimates_change_min number 712842 1E-006YL|Ct. =0 HEZELICE
estimates_change_type AbsoTute
Relative
Toglikelihood_change flag
Toglikelihood_change_min number 0 SEELICH
loglikelihood_change_type Absolute
Relative
hessian_convergence flag
hessian_convergence min number 0 SEELICEH
hessian_convergence_type Absolute
Relative
case_summary flag
contrast_matrices flag
descriptive_statistics flag
estimable_functions flag
model_info flag
iteration_history flag
goodness_of_fit flag
print_interval number 71232 1Lt 2o H0{0F Lict
model_summary flag
lagrange_multiplier flag
parameter_estimates flag
include_exponential flag
covariance_estimates flag
correlation_estimates flag
analysis_type Typel
Typelll
TypeIAndTypelll




H 128. genlinnode S (Al%)

Validation

genlinnode S4 H EM Mo
statistics Wald
LR
citype Wald
Profile
tolerancelevel number 7|22+2 0.0001LCt.
confidence_interval number 7|23t2 95L|Ct
loglikelihood_function Full
Kernel
singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
value_order Ascending
Descending
DataOrder
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test

Jim
0x

glmmnode

1
1
N X e e
09k
rio
ot
H o
i}

H 129. glmmnode S4.

glmmnode M o EM MY

residual_subject_spec structured HIOIE ME LHoIM ZHRIE DRSHA Helsh=
XEE Ha3d "E9| ghol meeiLch

repeated measures structured BtEEl= HEUS AESHE O AH8she EE

residual_group_spec

[field] .. fieldN]

TENEERT

[¢]
OF
ot
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H 129. glmmnode 58 (A%).

glmmnode EM

7t
BA

residual_covariance_type

Diagonal
AR1

ARMA11

COMPOUND_SYMMETRY

IDENTITY
TOEPLITZ
UNSTRUCTURED

VARIANCE_COMPONENTS

custom_target flag AHAEZ LEOAM FOolE Chif(false) E=
target_fieldoll 23l XIFE= AHZXl Hel Cf
H(true)2 ALK HEE HALICE
target_field field custom_targetO| true@l A2 CHAC=Z AlRY
HELCH
use_trials flag AN =5 X|Hot= 7t HE E= s iy
Bt30| Al MEOIM Zdst= OHE =
AMEYX| HEE HAIELICE 7|22 falsed
LiCt.
use_field or value Field Helad) £ Aol A = X"t o
Value AE3H=X| RS HEAILICL
trials_field field Al +E XFot= o A48T Eeunt
trials_value integer A& =& X|&Eot= ol A8 gteiulch XIF
= 3% Hag2 1Lt
use_custom_target_reference flag ARERE Ho| &z HEJ HEY Ciatol AF8E
X EE FAIFLICE 7282 falseQLICh
target_reference value string use_custom_target reference’l true®l &2
AlEY ExE HEFYLICH
dist_Tink_combination Nominal CHafoll chet 2tel REE flot 38 ZEYLICH
Logit target_distribution0l 23 M3== SE0
GammaLog N 2ZE X|HtHH Customs MERSHYAIR

Binomiallogit
PoissonLog
BinomialProbit
NegbinLog
BinomiallogC
Custom

target_distribution

Normal
Binomial

Multinomial
Gamma

Inverse
NegativeBinomial

Poisson

dist_link_combination2 Custom® mf CHAtOf|
Chet gtel X Lich




H 129. glmmnode 58 (A%).

Descending

glmmnode EM o E4d 49
Tink_function_type Identity CHat 22 olEXtet
LogC HHANF = AE ALt
Log target_distributionO]
CLOGLOG Binomial®l AL LIE=
) dd g 3 SIHE A Y & USLICH
Logit
target_distributionO]
NLOGLOG Multinomial®l AL
PROBIT CLOGLOG, CAUCHIT, LOGIT,
POWER NLOGLOG = PROBITE AEY + UAHLICH
CAUCHIT target_distributionO]
Binomial &
Multinomial®l AL
IDENTITY, LOG S POWERS AISE =
UAELICH
Tink_function_param number Atge A o HagtLch
normal_link function E&=
Tink_function_typeO| POWERQ! Z<0(TH &
7tsgct
use_predefined_inputs flag 1Y S0 Heor Y HEZM FOE YHAE
2(true) == fixed effects list9 ZE
(false)2UX| HEE HEAIZLICE 7[22t2 false
L|Ct
fixed_effects list structured use_predefined_inputs?t false®l &<, 1&
qu HE=z A Y HES X|FeLch
use_intercept flag true(Z|22h)2 2% R MHES ZofpiLict
random_effects_1ist structured HERNE XFEY HES SEYLCL
regression weight field field BM JIEZOE AT TEQlL|C
use offset None QIMO| X|FEl= 2HS FARLICL gt None
offset_value 2 NS AL8SHK| 22 ololgLct
offset_field
offset_value number use_offsetO| offset valueE2 HIE= FR
QMo AFEE ZYLICH
offset field field use_offsetO| offset field2 MNE HR 2
DM gtoll Age HEQL|CH
target_category order Ascending HE oiyof gt Y2 =MYLCh 2L pata
Descending = OIO|EollM YA = HE &ME MR e
Data 2 X|EELICh 72242 Ascending®L|Ct.
inputs_category order Ascending HEY o EHS0 it ¥ =MYLIct gt

Datac CIOIE{OM A= B =ME AL

Data SUS XIHELICE 7|23t AscendingRILICE
max_iterations integer ot na|=0| £8Et A|Cf B2 AQ|IL|C} 20| of
"ol 7222 100Ut
confidence_level integer 2 Ao ?l P%Eg ot 74| St= O AFRSH
|

| Y20, 2|thgk
L|Ct.
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H 129. glmmnode 58 (A%).

glmmnode A o EM M9
degrees_of freedom method Fixed Rod A Qd ATt AL HHE
Varied X|"gct
test_fixed_effects_coeffecients |Model D4 FHEI SEN WAHE AL BHAL|CH
Robust
use_p_converge flag B4 £ g SMULICH
p_converge number T L= Aol bgtLct
p_converge_type Absolute
Relative
use_1_converge flag 21-2F 3o st SHYLICH
1_converge number S = Aol kgheiLct
1_converge_type Absolute
Relative
use_h_converge flag Hessian =&0i| Chgt SHLICH
h_converge number 3 EE= Yool AgfULICt
h_converge_type Absolute
Relative
max_fisher_steps integer
singularity_tolerance number
use_model name flag Do ALEXE Ho| 0|2 XIH(true)StHLE Al
AH MY 0|E2 AlE(false)steXl HEE B
ALt 71222 falseLICh
model_name string use_model_nameO| true?l ZL AIEE T 0|
£2 XI™gLch
confidence onProbability AT MR AMES At 7|ELICH X2
onIncrease Ol &5 E= 24 9 F M 210 ofF 2
£ AMolel xto[LcCt.
score_category probabilities flag true@l 22, HEY Yo CHst ol SHES
MAetL|Ct 7|2et2 falseLICE
max_categories integer score_category_probabilities7t true@! 22,
Mg Ao HFE =5 XFLSLICH
score_propensity flag true@! Z2, L0 gt "true” 21te Rk
£ HASt= 20 S8 259 g AT0E
Aot
emeans structure 1E 7 SE9| 4 HEY HE9 F2, 3
FH WIS MY RS K™
covariance list structure 1y 21 589 2 ¢4y HEo| E2, &3
FH WIS AMY of WP E£= AEX Fe
US AMBEX HRE XFLLICH
mean_scale Original CHAfOl R M (7|23 e HE g Het
Transformed 2 7|te=E FH FH WHS AMEX RS
X|ggct
comparison_adjustment_method LSD CHE CHHIE #1 JHdEd e Y o A8
SEQBONFERRONI B S
SEQSIDAK
A1z @ =9 =2 £y 231



gle M

~ GLEE= =7 HE# X8 712 £+ D XFE dZ g+ S 2l 9 UL Moz
\[i£ BEEH BEUS HAEAZ = JEE MY DS SEL|CH dotst MY =8 JE2 Ha M
e o 3ol HI™E Z7(XQl HIo[Eof Chet St COE & 20| O|Z27|7HK| Ciret ZHS XY
gLt
T 130. gle EM
gle £E4 u £¢ 2%
custom target flag HAER oM HoE CHe(false) Ex=
target_fieldol| °|3H X™El= AXE "ol CHi(true)
2 A 8YX HEE HEAIELICL
target field field custom_targetO| true@! ZR CHAOE AIEY L=
Lot
use_trials flag A& +5 X|Fsh= FIF HE E= S iy B30
A MEO|M WdshH= OHIE £ mf AFEYX of
£ BEAZLICL 7|22 falseLICh
use_trials field or value Field HE@|22) = U0 Al =8 XHst= O M8
Value SH=X| I2E HAIFLICH
trials_field field AN =8 X|Fste ol Ar8g EHEQL(CE
trials_value integer ANd =5 X|™ete o AHSY UYLICE XHEes E
2 Hagre 1t
use_custom target reference flag AR Ho| &Zx HRIF HEY oo AL EEX of
2E HEAYLICE 7|23t2 falseL|Ct
target_reference value string use_custom_target referenceZl true®! AP ALEY
X HFULICL
dist_Tink_combination NormalIdentity CHafoll cHSt ghel 2XE 2t 38 ZAYLIC
GammaLog target_distributionOl| 2[3] MI== =F0|M &
PoissonLog £ X|™otH CUSTOMS MEHSIMAIR
NegbinLog
Tweedieldentity
NominallLogit
BinomiallLogit
BinomialProbit
BinomiallLogC
CUSTOM
target_distribution Normal dist_link_combination2 Custom® [ CHAHO| CHet
Binomial wel 2ZLICH
Multinomial
Gamma
INVERSE_GAUSS
NEG_BINOMIAL
Poisson
TWEEDIE
UNKNOWN
232 IBM SPSS Modeler 18.1.1 Python A3 & % X535} QLA




H 130. gle E4 (A%)

gle 54 u £4 59
Tink_function_type UNKNOWN CHAF ZfS O =XFQF EA|F|= HZF st2QlL|Ct.

IDENTITY target_distributionO| BinomialO|H CtSS AIEY

LOG = UASFLICH

LOGIT UNKNOWN

PROBIT IDENTITY

COMPL_LOG_LOG LOG

POWER LOGIT

LOG_COMPL PROBIT

NEG_LOG_LOG COMPL_LOG_LOG

0DDS_POWER POWER

NEG_BINOMIAL LOG_COMPL

GEN_LOGIT NEG_LOG_LOG

v 0DDS_POWER

CUMUL_LOGIT
CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG
CUMUL_NEG_LOG_LOG
CUMUL_CAUCHIT

target_distributionO| NEG_BINOMIALO|H CtSES A}
8¢ + JUFUCL

NEG_BINOMIAL.

target_distributionO| UNKNOWNO|™ CIZ2 AIEE
UA&ELICh

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_LOG

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

Tink_function_param number AEY Tweedie 242HLICE normal_link_function
= link_function_typeO| POWERQ! Z0Tt ME
st

tweedie_param number A8 HE gt DaghLich
dist_link_combinationO| Tweedieldentity® AN
7{Lt Tlink_function_typeO| TWEEDIEZ MHEE AP
ol HEELICE

use_predefined_inputs flag DE g0 HEY A HEZNM HolE HYAER
(true) EE= fixed effects 1ist] EE(false)QlX| Of
2E HBAELCL

model_effects_Tist structured use_predefined_inputs7t false@! 29 2 3t &
2 A8d 3 ZEE XFgLch

use_intercept flag true(Z|22hH 22 HEo HMES malpiL|ct

regression_weight field field 2M JIEZOR AIRY "Wl

use_offset None MO XFE= WHE FALLCL 2t None2 2

Value IMES AESHR| =S ool
Variable
offset_value number use_offsetO| offset valueE2 H¥E = FP o4

of A8 ZrLch.

=
—
w
021
o
e
oM
H
In
Am
0x
N
W
@



H 130. gle §4 (A%)

Descending

gle §4 at E4d 49
offset field field use offsetO| offset fieldZ2 MYE AR 2Tl gt
of Atge HEQL|C)
target_category order Ascending HEY iAo et 8 =ML J|232
Descending Ascending®L|C}.
inputs_category_order Ascending HE o EHS0| et & =MULICL 7232

Ascending®L|C}.

max_iterations integer 2n2|F0| sAlY Aoy vts ~L|C) 20| ot H
0|0, 7|=gt2 100Lch

confidence_level number D Ao pt FHUS AMS=E O ARESH= A
Z|FYLICh S0| of Y=0|H, Z|CHgt2 100
Ch. 71282 95YLICt.

test_fixed effects _coeffecients |Model D4 ZFIY S WXE AL EHLICH

Robust

detect_outliers flag ol 29 ¢nz(50| et BXE HMefst 2= X
o A QA= oldgts HELICL

conduct_trend_analysis flag ol 22 Lne2[E0| MFE THO FM 2AE
erL|C.

estimation_method

FISHER_SCORING
NEWTON_RAPHSON

HYBRID

bt
o)
40
H-|
o
o
e
kl
u
oM
o
Pal
0z
Ot
=
>
to

PEARSON_CHISQUARE

max_fisher_iterations integer FISHER_SCORING estimation_methodE At &¢l 2
2, Ao gtE4du|ct 24 o, ECf 20R4LICH
scale_parameter method MLE M 49| FHO| AH8E WHE X|FSHAIL.
FIXED
DEVIANCE

scale_value

number

scale parameter method7} Fixed2 MAHME Z0{2t
AHg ThsELICE

negative_binomial method MLE 20|12 HE 240 FHo| ALY WHE XIHSHAl
FIXED Q.

negative_binomial_value number negative_binomial_method”t Fixed2 MHE Z<20
ot A8 ZhsELICh

use_p_converge flag 24 3| et SMHULICH

p_converge number JT e Aolo bpgiL|ct

p_converge_type flag B = Hoigh AN = doid

use_1_converge flag E3-2F ol chet SHYLCH

1_converge number ST e Aol kgheiLct

1_converge_type flag & = "oigh, AR = gt

use_h_converge flag Hessian =&0i| Cigt SMLICE

h_converge number 3 EE= Yool LIAULICE

h_converge_type flag B = Hoigh AR = g

max_iterations integer Y02|F0| A o gtg #LICh Z0| ot F
0|, 7|2gt2 100LICt

sing_tolerance integer
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H 130. gle E4 (A%)

gle §4 o £4 89

use_model_selection flag D5 Al A 2 MEH 2 HOE A8lE 4F
gLict.

method LASSO DY ME YHES HESIALL RidgeE AIESI=E B

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

detect_two_way_interactions

flag

0| Mol ZEo| =2 0|H(F, AHBAPLH £ &
Mo 7|Et BtE FHMEHK| %42 HR) MEHE method
b CAE MZ, Lasso L= Elastic Net®! ZH0|2t
SH
=

AtE = 0fof IEf

automatic_penalty_params

flag

D MEH method”} Lasso &= Elastic net@! 420

oF A JHsELCL

0| g+E A3l Lasso E= Elastic net Ha M

B gfeu ARtE HEE| ZE AHSMAR

Tr‘ue‘.’_I 2R 7|220| Ar8ELICt False 2
ANEH AKX Ho| ZtS olaist 4

F

lasso_penalty_param

number

2 ME method?} Lasso HE&= Elastic netO|H
automatic_penalty params?} False®l Z0{Tt AtE
7tSSLICE Lasso2 HIEE| 2gte XFSHUAIL.

elastic_net_penalty_paraml

number

2 MEH method?t Lasso & Elastic netO|H
automatic_penalty params7t FalseQ®l &0t AtE
7tsLICE Elastic Net 24 19| HEE| 232 X
HoldAl2.

elastic_net_penalty_param?2

number

2 ME! method?t Lasso L+ Elastic netO|H
automatic_penalty params?t False®l Z<L0Tt AR
7tS®LICE Elastic Net 24 29| H'JE| E4gte X
oA 2.

probability_entry

number

MEHEl method7t THAIE TTIQI ZL0(2H A |'o 7|'o
LIC. 2ap Zetof o3l F SAHIZ 7|1ES
S XNHYAIL.

|

probability_removal

number

MEHE methodZt EHAE HTQI ZR0H2 AL
LICH M7 Zeofl thell F SHIZ 7
S XYL,

use_max_effects

flag

MEHZEl method”}t THAIE HZIQI Z20TH AE JHsE!
L|Ct.
max_effects MOE ALEQE MFBLIC

|
29l & 0N "E“I.j% 2t

max_effects

integer

f
CHAE MZl XM S AFRSH o)
Xlgglct,

H 13 & ZEa = EN 235



H 130. gle §4 (A%)
gle §4 # =4 89
use_max_steps flag max_steps MOIE AH2QZ HFeLCL
False?l 2% HHAQ 7|23f2 2o HM3E zute
9| 3HiolA HHS i Ztuh Zofok hLCh
max_steps integer CAE MX ZM methodE AMEE W e 2|Of £
A +E XFLLLCH
use_model_name flag DEo| AFZX Hel O|§2 XIE(true)dtHLE AlAH
MY 0|2 At8(false)st=Xl {EE HAIFLICE 7|
22 falseQLICh
model_name string use_model_nameO| true@! Z2 AtEY ZH O|EE X
Lo
usePI flag trueO|H OXX L7t AlMELICH
kmeansnode £4
' K-37 tE&= HO0IH MEE 18 J18(E:s #E)22 ZhsteiLch o] Y2 nFE 9 2%
(% £ Footu BIEXoR YIS FZHO| XIFHH, =7t MEet7t O oy ZEE SHAIE = ¢
g m7tX| FEEHE ZFEYLICL ANE olMdt= Oidl -HIE2 AE IdE2E LTl TENA
£ AM8%te ¢ "HE MEQ mEHZ FOopdLCt

Of| |

node = stream.create("kmeans", "My node")
# "Fields" tab
node.setPropertyValue("custom fields", True)

node.setPropertyValue("inputs", ["Cholesterol”, "BP", "Drug", "Na", "K", "Age"])

# "Model" tab

node.setPropertyValue("use_model name", True)
node.
node.
node.
node.

setPropertyValue("num_clusters", 9)
setPropertyValue("gen distance", True)
setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label _prefix", "Kmeans_")
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop _on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)
node.setPropertyValue("encoding_value", 0.3)
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¥ 131. kmeansnode £

kmeansnode S A £4 4%

inputs [field1 ... fieldN] K-H7 ZE2 23 EE ME o 282
ME ASIXT S7 LES ABSHA| 25U
Ch 7t5A] 8 gle HE= ARBSHX| b&LICt

num_clusters number
gen_distance flag
cluster_Tabel String
Number
label_prefix string
mode Simple
Expert
stop_on Default
Custom
max_iterations number
tolerance number
encoding_value number
optimize Speed DY FMo| £ E= oj22[0f CHol | XSt
Memory O{0F St=X| HEE X|HSt= ol AEgLCh

knnnode EM

KNN(k-Nearest Neighbor) ‘==& M Z0|AS k7 B0l ol EXH SZtolM JHE Jhtojoll e k

%4 QEMEQS| Mz L Zrah HA|ZILICE KA HlO

AE M2 HE| o™ AFULC

Of| |

node = stream.create("knn", "My node")

# Objectives tab

node.setPropertyValue("objective", "Custom")

# Settings tab - Neighbors panel
node.setPropertyValue("automatic_k_selection", False)
node.setPropertyValue("fixed k", 2)
node.setPropertyValue("weight by importance", True)

# Settings tab - Analyze panel
node.setPropertyValue("save distances", True)

H 132. knnnode E4

A= M=z 7ht0lof A RASHA gi2 A0

knnnode 4 o EM HdY
analysis PredictTarget
IdentifyNeighbors

A
o

N
[*})
N

Ho13 & ZEE e

m



¥ 132. knnnode £ (A%)

Validation

knnnode 4 H EM MO
objective Balance
Speed
Accuracy
Custom
normalize_ranges flag
use_case_labels flag e 382 7tssH ot =l AxL
case_labels_field field
identify focal cases flag e 382 7tssH ot =l AxL
focal_cases_field field
automatic_k_selection flag
fixed_k integer automatic_k_selectio?l False@! Z<0Th At
g.
minimum_k integer automatic_k_selectioZt True@l Z<S0{TH At
g.
maximum_k integer
distance_computation Euclidean
CityBlock
weight_by importance flag
range_predictions Mean
Median
perform_feature_selection flag
forced_entry_inputs [field1 ... fieldN]
stop_on_error_ratio flag
number_to_select integer
minimum_change number
validation_fold_assign_by field |flag
number_of_folds integer validation_fold assign by field7} False?l
Z20i3t Ag
set_random_seed flag
random_seed number
folds_field field validation_fold_assign_by field”7t True@!
Foit A
all_probabilities flag
save_distances flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test
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kohonennode

Of| |

node

B
—

A
©

==
A

stream.create("kohonen", "My node")

# "Model" tab

node.
node.
node.
node.
node.
node.
node.

setPropertyValue("use_model_name", False)
setPropertyValue("model _name", "Symbolic Cluster")
setPropertyValue("stop_on", "Time")
setPropertyValue("time", 1)

setPropertyValue("set _random_seed", True)
setPropertyValue("random_seed", 12345)
setPropertyValue("optimize", "Speed")

# "Expert" tab

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

H 133. kohonennode

setPropertyValue("mode", "Expert")
setPropertyValue("width", 3)
setPropertyValue("length", 3)
setPropertyValue("decay_style", "Exponential")
setPropertyValue("phasel neighborhood", 3)
setPropertyValue("phasel eta", 0.5)
setPropertyValue("phasel cycles", 10)
setPropertyValue("phase2 neighborhood", 1)
setPropertyValue("phase2 eta", 0.2)
setPropertyValue("phase2_cycles", 75)

EM
=]

-

£ MIE 0z
oy @ 0%

- A

kohonennode £

7t
HA

Jm
%

inputs

prt

I'

[field] ... fieldN]

oo rir fot | ox
>~

> MR
ot

o]

tal

AR

I

o

11z}
in =
rir Jm

continue

flag

show_feedback

flag

stop_on

Default
Time

time

number

optimize

Speed
Memory

DE =Moo £ £ 220 CHY
0{0} St=X| GBS XSt O At

o

i=1

x
[

|
I.

=

Hotg|
L|Ct.

cluster_Tabel

flag

mode

Simple
Expert

width

number

Ho13 & ZEE o




¥ 133. kohonennode £ (Al%)

kohonennode EM o E4 49
Tength number
decay_style Linear
Exponential
phasel_neighborhood number
phasel_eta number
phasel_cycles number
phase2_neighborhood number
phase2_eta number
phase2_cycles number
: =
linearnode £
o M 27 ZEE SHES SILE 0[A o B 7to| MY BAE T[HeR d&y SHE o SYL
v s
off x|
node = stream.create("linear", "My node")

# Build Options tab - Objectives panel
node.setPropertyValue("objective", "Standard")
# Build Options tab - Model Selection panel
node.setPropertyValue("model _selection", "BestSubsets")

node.setPropertyValue("criteria_best_subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule categorical”, "HighestMeanProbability")

¥ 134. linearnode EA.

Tinearnode £4 o £4 49
target field o S "EE XFELICH
inputs [field1 ... fieldN] DHEO| AIEStE OjFEHS HE
continue_training_existing_model |flag
objective Standard psm2 O 2 HIO|E MEO| AF2SIH M A
Bagging Zo| HegtL|Ct
Boosting
psm
use_auto_data_preparation flag
confidence_level number

240 IBM SPSS Modeler 18.1.1 Python

A338 9 A5 ohyA




H 134. linearnode &4 (Al%).

Tinearnode £4 ot 54 &89
model_selection ForwardStepwise
BestSubsets
None
criteria_forward_stepwise AICC
Fstatistics
AdjustedRSquare
ASE
probability_entry number
probability_removal number
use_max_effects flag
max_effects number
use_max_steps flag
max_steps number
criteria_best_subsets AICC
AdjustedRSquare
ASE
combining_rule_continuous Mean
Median
component_models_n number
use_random_seed flag
random_seed number
use_custom_model_name flag
custom_model_name string
use_custom_name flag
custom_name string
tooltip string
keywords string
annotation string
linearasnode §%4
A My S ZEo} SILt 0|4 oiZHA ol MY BIS J|BIOR A4 RHE O|5EL
".Iz_;f Ct
HE 135. linearasnode £
linearasnode §4 2 EM MO
target field e SR "HEES XFLICH

H 13 2

2
o
|.|—
n
m

%
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H 135. linearasnode S48 (Al%)
linearasnode £4 o £d 4Y
inputs [field1 ... fieldN] DOl MEYt= o EHs EHE
weight_field field DHo| M3t #M HE
custom_fields flag 7|28t TRUERILICE
intercept flag 71222 TRUEILICE
detect_2way interaction flag FUE Mg DX oYLt 7|2
22 TRUERILICE
cin number DY Ao =FIYUS AT s A=
Mz|e AZHelL|Ch 020t 310 10020t &2
U2 XHSHAAIR. 71222 95LCt.
factor_order ascending HEH o|EH,2 HE =MAYULICL 72842
descending ascending@L|Ct
var_select_method ForwardStepwise AtgY ZE ME HEHQILICE T[2g2
BestSubsets ForwardStepwise®L|Ct.
none
criteria_for forward stepwise AICC DM BUE FIF = MAHHOF SH=X| o
Fstatistics 2E w5 2l AH8st= EAYLICE 7|12
AdjustedRSquare 72 AdjustedRSquareL|Ct.
ASE
pin number O] X|HEl pin ¥AIZ}F OITtS] 7t& 2 P-3f
g Z= zivh 2Eo| FIHELCH T2
0.05L|C.
pout number 2EoM o XIME pout YAZIECH 2 p-at
£ &= EHE =3 MAELCL 724U
0.104LICH
use_custom max_effects flag HE DM Eof 23 & MEEX| HEY
LICE 71222 FALSERILILCY.
max_effects number HE ZHOM AEY 2O 3t S+ LCEH 7|
22 19k
use_custom max_steps flag o oA = A8 R ALICEH J|22f2 FALSE
Lch
max_steps number CHA| MEd 22| E0| BX[sH7| M| X thA|
Lk 71222 10 Cch
criteria_for_best_subsets AICC Age 7|E BEQLICH T[22
AdjustedRSquare AdjustedRSquare®iL|Ct.
ASE
logregnode E4
o Z2X|AE S EMe Q3] TC Ztg J|HIOR B FEE ERSHE £ 7|HYULICL ME 37t 8
\ s ARSER|SE =Xp He| Tl HEE S5 HEES AFSELIC
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Chet

node

Of| |

= stream.create("logreg", "My node")

# "Fields" tab

node
node
node
node

.setPropertyValue("custom _fields", True)
.setPropertyValue("target", "Drug")
.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
.setPropertyValue("partition", "Test")

# "Model" tab

node

node

.setPropertyValue("use_model_name", True)
node.
node.
node.
node.
node.
.setPropertyValue("model type", "FullFactorial")
node.
node.

setPropertyValue("model _name", "Log reg Drug")
setPropertyValue("use_partitioned_data", True)
setPropertyValue("method", "Stepwise")
setPropertyValue("logistic_procedure", "Multinomial")
setPropertyValue("multinomial_base category", "BP")

setPropertyValue("custom_terms", [["BP", "Sex"], ["Age"], ["Na", "K"]])
setPropertyValue("include constant", False)

# "Expert" tab

node.
node.
node.
node.
node.
# "Convergence...
node.
.setPropertyValue("max_steps", 3)
node.
node.
node.

node

setPropertyValue("mode", "Expert")
setPropertyValue("scale", "Pearson")
setPropertyValue("scale_value", 3.0)
setPropertyValue("all _probabilities", True)
setPropertyValue("tolerance", "1.0E-7")

" section
setPropertyValue("max_iterations", 50)

setPropertyValue("1 _converge", "1.0E-3")
setPropertyValue("p_converge", "1.0E-7")
setPropertyValue("delta", 0.03)

# "Output..." section

node.
node.
node.
node.
.setPropertyValue("iteration_history", True)
node.
node.
.setPropertyValue("confidence_interval", 90)
node.
node.

node

node

setPropertyValue("summary", True)
setPropertyValue("1ikelihood ratio", True)
setPropertyValue("asymptotic_correlation", True)
setPropertyValue("goodness fit", True)

setPropertyValue("history steps", 3)
setPropertyValue("parameters", True)

setPropertyValue("asymptotic_covariance", True)
setPropertyValue("classification_table", True)

# "Stepping" options

node.
.setPropertyValue("use max_terms", True)
node.

node

node

o

node

setPropertyValue("min_terms", 7)

setPropertyValue("max_terms", 10)

.setPropertyValue("probability entry", 3)
node.
node.

setPropertyValue("probability removal", 5)

setPropertyValue("requirements", "Containment")
off =l
= stream.create("logreg", "My node")

# "Fields" tab

node

.setPropertyValue("custom fields", True)



node
node

.setPropertyValue("target", "Cholesterol")
.setPropertyValue("inputs”, ["BP", "Drug", "Age"])

node.setPropertyValue("partition”, "Test")
# "Model" tab
node.setPropertyValue("use_model name", False)

node.
node.
node.
node.
node.
node.
node.

node

node.

setPropertyValue("model name", "Log reg Cholesterol")
setPropertyValue("multinomial_base category", "BP")
setPropertyValue("use partitioned data", True)
setPropertyValue("binomial method", "Forwards")
setPropertyValue("logistic_procedure", "Binomial")
setPropertyValue("binomial categorical input", "Sex")

setKeyedPropertyValue("binomial_input_contrast", "Sex", "Simple")

.setKeyedPropertyValue("binomial input category", "Sex", "Last")

setPropertyValue("include constant", False)

# "Expert" tab

node
node
node
node
node

.setPropertyValue("mode", "Expert")
.setPropertyValue("scale", "Pearson")
.setPropertyValue("scale value", 3.0)
.setPropertyValue("all_probabilities", True)
.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section

node
node
node

.setPropertyValue("max_iterations", 50)
.setPropertyValue("1 _converge", "1.0E-3")
.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section

node.
node.
node.
node.
node.
node.

setPropertyValue("binomial _output display", "at_each step")
setPropertyValue("binomial_goodness of fit", True)
setPropertyValue("binomial_iteration_history", True)
setPropertyValue("binomial_parameters", True)
setPropertyValue("binomial ci_enable", True)
setPropertyValue("binomial ci", 85)

# "Stepping" options

node
node

.setPropertyValue("binomial_removal _criterion", "LR")
.setPropertyValue("binomial_probability removal", 0.2)

H 136. logregnode E4.

Togregnode E4 i EM MY
target field EXAE oHEM DER2 Y ZH HES}
SiL} ol4el 3 EHEJH et gl 8l
75 HE= AR SLICH XMet HEE=
[195 Ho[X|9] Tx=E RHR L= ENj|F
HE HZSIHARL.
logistic_procedure Binomial
Multinomial
include_constant flag
mode Simple
Expert
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E 136. logregnode 54 (A%).

logregnode £ o EMd MY
method Enter

Stepwise

Forwards

Backwards

BackwardsStepwise

binomial_method

Enter
Forwards

Backwards

model_type

MainEffects
FullFactorial

Custom

Ch CHA,

of HEI} XFEX|

Entert AE3tE O
24 230| CustomCE MEE|X|Tt A

[o) 1= o X
[ 7O:‘_I_,

o

k= =)

X

|-I-|

2ol

custom_terms

[[BP SexI[BPI[Agel]

multinomial_base_category

string

binomial categorical_input

string

binomial_input_contrast

Indicator
Simple
Difference
Helmert
Repeated
Polynomial

Deviation

CHH|Zb HEe= 2y
o E

o
of cigt 717t A=

binomial_input_category

First
Last

scale

None
UserDefined

Pearson

Deviance

scale_value

number

all_probabilities

flag

tolerance

1.0E-5
1.0E-6

1.0E-7
1.0E-8
1.0E-9
1.0E-10

min_terms

number

use_max_terms

flag

max_terms

number




H 136. logregnode S8 (H%).
logregnode E4 o EMd MY
entry_criterion Score
LR
removal_criterion LR
Wald
probability_entry number
probability_removal number
binomial_probability_entry number
binomial_probability_removal number

requirements

HierarchyDiscrete HierarchyAll
Containment

None
max_iterations number
max_steps number
p_converge 1.0E-4

1.0E-5

1.0E-6
1.0E-7
1.0E-8

0
1_converge 1.0E-1

1.0E-2

1.0E-3
1.0E-4
1.0E-5

0
delta number
iteration_history flag
history_steps number
summary flag
1ikelihood_ratio flag
asymptotic_correlation flag
goodness_fit flag
parameters flag
confidence_interval number
asymptotic_covariance flag
classification_table flag
stepwise_summary flag
info_criteria flag
monotonicity_measures flag

binomial_output_display

at_each_step
at_Tast_step
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E 136. logregnode 54 (A%).

logregnode £ o EMd MY
binomial_goodness_of fit flag
binomial_parameters flag
binomial_iteration_history flag
binomial_classification_plots flag
binomial_ci_enable flag
binomial_ci number
binomial_residual outTiers

all
binomial_residual_enable flag
binomial_outlier_threshold number
binomial_classification_cutoff number
binomial_removal_criterion LR

Wald

Conditional
calculate_variable_importance flag
calculate_raw_propensities flag

Isvmnode E4

—
o o+ s

¥ 137. Isumnode £

#IE] HA(LSVM) =2 AI2dtH
Ct. LSVM Myo|H,

FH%t glo] = JHel O& & dlLIZ HIO|EE BR
Egt Z =

R Q s
Ci=o| 2|ZETt U= HlojH MES 22 ZHe(st ClolE Al

Tsvmnode S4 ot £4 49
intercept flag Ddo Mg ATLICL J|2ae &Y
LICt
target_order Ascending HE ool oiet dE =ME XI™eL
Descending Ch A&Y Mol RAIELCE 7123
2 Ascending®L|C}
precision number =E HES £F £&O0| Continuous!
Z0gt AbgTL|Ct 2jHEMo 4o
CHot izt et 2 B XAt
A2 00|10 FHCHZE2 i&LICH 712
22 0.1t
exclude_missing_values flag HQl e tY Zfo] ZEET HIALSTE
HeIELIch 71222 FalseLICH
penalty function L1 AFBEl= HIZE| g4 RYE XIFYLICL
) L2 J|=gke LYt
1ambda number HLE|(M e 2aL|Ct
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¥ 137. Isumnode EE (A=)

1svmnode E4 4

calculate_variable_importance |flag

2 50|15 4 Bt ¥4 FQzE ©
AZY 22 2dol A8 4 gaLIt

neuralnetnode EA

oM MZY ZHY 2o 7|50 SME M HTO| of HE[ANM ALE JHSSHH CFE H
(neuralnetwork)ol| A AHEL|CE OFE! 0[N HAE ARSI ZEES 2Mstn AF0” & 5 JUX[T
M HECE AESIEE ATREE AUOIOIEY A2 HXELICL O|F HE MEAIE0] HBXE ¢

s of7|of EZEELIC

Of| |

node = stream.create("neuralnet", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("targets", ["Drug"])
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol”, "BP"])
# "Model" tab

node.setPropertyValue("use_partitioned data", True)
node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train_pct", 30)
node.setPropertyValue("set_random seed", True)
node.setPropertyValue("random seed", 12345)
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
node.setPropertyValue("time", 3)
node.setPropertyValue("optimize", "Speed")

# "Multiple Method Expert Options" section
node.setPropertyValue("m_topologies", "5 30 5; 2 20 3, 1 10 1")
node.setPropertyValue("m _non_pyramids", False)
node.setPropertyValue("m persistence", 100)

¥ 138. neuralnetnode &4

neuralnetnode E4 o EM MY

targets [field1 ... fieldN] MBY LE= StLt O|&el =% TEQ Lt
OlAto| Q& ot estnt, fIE 8l 7t5
o= RAELCH XtAst HEE (195 HO[X|
ol TZE 2Eal L& ENj | FHE &=xst
AR,

248 IBM SPSS Modeler 18.1.1 Python A3ZE 5! XtE3t M



¥ 138. neuralnetnode £ (H%)

neuralnetnode 54 ot £4d 849
method Quick
Dynamic
Multiple
Prune
ExhaustivePrune
RBFN
prevent_overtrain flag
train_pct number
set_random_seed flag
random_seed number
mode Simple
Expert
stop_on Default X 2E,
Accuracy
Cycles
Time
accuracy number Hee FX|
cycles number =H F7.
time number =23 ANZHE)
continue flag
show_feedback flag
binary_encode flag
use_last_model flag
gen_logfile flag
logfile_name string
alpha number
initial_eta number
high_eta number
Tow_eta number
eta_decay_cycles number
hid_layers One
Two
Three
h1_units_one number
h1_units_two number
h1_units_three number
persistence number
m_topologies string
m_non_pyramids flag
m_persistence number




H 138. neuralnetnode S8 (A%)
neuralnetnode 4 o £4 49
p_hid_Tayers One
Two
Three
p_h1_units_one number
p_h1_units_two number
p_h1_units_three number
p_persistence number
p_hid_rate number
p_hid_pers number
p_inp_rate number
p_inp_pers number
p_overall_pers number
r_persistence number
r_num_clusters number
r_eta_auto flag
r_alpha number
r_eta number
optimize Speed DE AMO| £ = H22|o CHol X HSE
Memory Olof St=X| R E X|H™SH= O AtEELICH
calculate_variable_importance flag I o E2lA0M AtEet
sensitivity analysis E42 0| EHg 28l
o o4 ArE3tX| fk&LICt. o™ E-o| OFF
X|2IE|X|2t calculate_variable_importanceZt
HEELIL
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity_partition Test
Validation
neuralnetworknode £4
o NFY REE Q17 F4{7t YEE Mot wHo| rastE DUS AISHLICL KRo| F4 B
ﬁ S H2 d=AZE 2 9| the N2 YXE A2 0|MSt HATLICH MEYS Yot HE
St FRO|0 &L M| 9ok ofztel EA| e 438 XAo| BRI

Of| |

node =

stream.create("neuralnetwork", "My node")

# Build Options tab - Objectives panel
node.setPropertyValue("objective", "Standard")
# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")
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¥ 139. neuralnetworknode £

neuralnetworknode £ % 54 &89
targets [field1 ... fieldN] =H HEE XFELLH
inputs [fieldl ... fieldN] DHO| M8%t= oEH HE
splits [fieldl ... fieldN 2g DHEZo AHBY HEE XHELICH
use_partition flag oE|M EHEJH FolE 3%, 0| 82 =Y ot
Eld9| cilo[E{gh 2RSS ZY5t= o AMES:
£ =B
continue flag 71E B s AL
objective Standard psm2 OHR 2 HIO|E MEO| ASstH MH &
Bagging Zo| HegfLct
Boosting
psm
method MultilayerPerceptron
RadialBasisFunction
use_custom_layers flag
first_layer_units number
second_layer_units number
use_max_time flag
max_time number
use_max_cycles flag
max_cycles number
use_min_accuracy flag
min_accuracy number
combining_rule_categorical Voting
HighestProbability
HighestMeanProbability
combining_rule_continuous Mean
Median
component_models_n number
overfit_prevention_pct number
use_random_seed flag
random_seed number

missing_values

listwiseDeletion
missingValueImputation

use_model_name boolean
model_name string
confidence onProbability
onlncrease
score_category_probabilities flag
max_categories number
score_propensity flag




¥ 139. neuralnetworknode £8 (A1)

neuralnetworknode £ o E4 49

use_custom name flag

custom_name string

tooltip string

keywords string

annotation string

guestnode §4
QUEST E= QAZHE EZIE FHd517| -r|5._ Ol2d 27 e M3stH, iy C&R EZ| &

A Mojl ettt M2| AlZtE E0l= SAl0l 257 E2| oM #2 Z¥E F0 O %2 2gS 58

Ste EE MTOIEE MAEJSLICH 2 HEE =X HR(EHY = AKXt =7 HE= H

Of| |

node =

stream.create("quest",

Fgolojo LI, RE 2¥E

- T =2

ol2dLIct

"My node")

node.setPropertyValue("custom fields", True)

node.setPropertyValue("target",
node.setPropertyValue("inputs",
node.setPropertyValue("model output_type",

IIDrugII)

[IIAgeII’ IINaII’ IIKII’

node.setPropertyValue("use_tree directives", True)
node.setPropertyValue("max_surrogates", 5)

node.setPropertyValue("split_alpha",

0.03)

node.setPropertyValue("use_percentage", False)

node.setPropertyValue("min_parent records abs",

40)

node.setPropertyValue("min_child _records_abs", 30)
node.setPropertyValue("prune_tree", True)

node.setPropertyValue("use_std_err",

True)

node.setPropertyValue("std_err_multiplier", 3)

"Cholesterol",
"InteractiveBuilder")

"8p"])

H 140. questnode £
questnode EM o Ed 49
target field QUEST 222 stLiel S8 U Stit oj&e ¢
2 WY Wl YE BEE XFY 4
QU&LIch XA e [195 HoK o T35]
222 =E E4y | FHE HZHUAIR.
continue_training_existing_model |flag
objective Standard psm2 O 2 CIO|E MEO| AFESHH MH &
Boosting Zo| HegtL|Ct
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
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H 140. questnode 58 (A%)

questnode £ o EM MY
tree_directives string
use_max_depth Default
Custom
max_depth integer 2E 10007HX9] =i E2| ZO|YL|Ct
use_max_depth = Custom®l Z02F AFSEL|
ct.
prune_tree flag WHEE YRGB 28 ERIE ZHXIX7|—L
use_std_err flag (BZE 2X10iIM) Il AT X[O|E A5
AR,
std_err multiplier number Z|Cf xto|LIC.
max_surrogates number A MZAo|EQLICE
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured Txe EHULICt
priors Data
Equal
Custom
custom priors structured T3 EMULCE
adjust_priors flag
trails number SAE L= HIZE 98 7R BH £
Ct
set_ensemble_method Voting HE CHaof chet 7|2 2y #EYuC
HighestProbability

HighestMeanProbability

range_ensemble_method Mean ALY oidol oist 7|2 2 AL
Median

large_boost flag ol 2 dlole MEO 2ARE XEeL|Ch

split_alpha number 2 FolZ=LCt

train_pct number e GX MEYLICH

set_random_seed flag A =8 SM4YLICH

seed number

calculate_variable_importance flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity_partition Test

Validation




randomtrees EA

O] 3 E2| k=& 7|&E C&RT =E9 RASHX|R, o HO|HE XMe[st Y EE|E Aot
£ EA=RASH SPSS Modeler HZT 170] &7tel &3 Fofof Zut ZES EAIRLICL #HE E2
9

=]
LEE 37t HHE ABSAL 2RSk= O AEdts oAEE E2IE WdRLICh of H¥2

ro

HAE MEINES AFSSHY 2t HAOIC 22 E X460 23 HIEE NOIHEZ 2TgL|Ct,
o7|M EB2|9] LEE =9 HO0|AQ 100%/t SE LSl EXH HF0 &5HH &
Ct 2% 3 g3 o= A He = HFHESY, &MY = SD)QLICL RE 22 0]

EYYLICHRE F il 2.

+
tu
N
M
o
Il

0%

¥ 141. randomtrees EM

randomtrees S4 o £d 29

target field Y Eg| EoM 2R thd ZHSF L
Ojatel i3 HETL ottt Hix HET X|
Y & AGLICH TME FE= [195 TO[X] 2|
[F3E 2d2 LE E4) ol i8S ExsHY
A2.

number_of_models integer Qs DY URE Y DY 5 §HE
Lot

use_number_of_predictors flag number_of predictors®| AE O{RE THHBIL
ct.

number_of_predictors integer 2g DS AHge o A8 oEX 5 X
et

use_stop_rule for accuracy flag L E SMAZE = g o 2 M I
O E mhEPL|Ct

sample_size number Ii® 2 CIo|H MEE HMe|g o 845 T4
Al7[2{H O gte E0IHAL

handle_imbalanced_data flag DE oMol EF Seia Zao|n k= 2t
CH §SHX| @b Z2tel H|Z0] 0je o™ o
O|E{2| Z&0| SHX| gt RHO| ot RAE
¥ HEEFE0| ZE FHo A2 =
UAELICH ZHO| Jsh= 2ol ¢ B2 22
S UNStL O Z3e ZES MHEY + JAx
£ STYY HolE XM2IE METHYAIR

use_weighted_sampling flag AR B 2t 29| MIt SYUst HER
ol MEHEIL|C &Rl A H7h MAESHA It
FE[1 MEHEL|CH

max_node_number integer e E2lof §|E= =9 A £LCt Cf
2 20M o] =7t Xnie|H E2| gFE0| F
X|gfuct,

max_depth integer HEo| FXIE wintx|el Ao E2| Zo|LIct.

min_child_node_size integer a9 LBV 2HE T 5t9 LEO| H8E=
HREQ A& 5 WHYLCE 5t9 =9 2
IE It o7l XIEE 20t HoH M9
LIt 2 X &L

use_costs flag
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¥ 141. randomtrees E8 (AlL)

randomtrees £ ot £d 49
costs structured T3 EMLIch A2 MA gt ol=gt 3
olx0| E2 222 HIE2l 3 e =EYLICt
olE 501,
tree.setPropertyValue("costs", [["drugA",
"drugB", 3.0], ['drugX", "drugY", 4.0]])
default_cost_increase none D MY SHOT ALY £+ JUSLICH
Tinear HIE uXtEOM 7[23t2 HFSHIAR.
square
custom
max_pct_missing integer Yo ZEZHof| et HUETL of7|of X|HE
ECE 3H U0l MeEL/ch &4zt o, 2
CHZt 100.
exclude single cat pct integer StLtel HaE ol 7)ol X™E HUERDH =
2 Y2t HUES LIEHH 2 zHdoM M
M ZETF MeIELCE FAgh2 10|10 Echgh
2 9Lt
max_category_number integer HEOS HE 271 0] S =ustH ZE Ay
Ol EHEJF MQIELch 2Ag2 22L(C
min_field variation number A&y TEo| HEAISIt O] ZELE BoH &
2 oM HETL M ELcH
num_bins integer ClojE{7t & 3ez &= FoT
AL o] Al8Y St HlE 77t &
£ HHESIYAIR. M2 2, 4, 5, 10, 20, 25, 50
E= 100QLICH
topN integer 2ag #& £8 XFLCL 7282 50012
A2gt2 10/0 ACHE2 1000LICE.
regressionnode §4
. MY 3= HIOIHE QYSASID ol 3! X £3 2F Aol SUXIE X[ASet= EMO|LL B
|# Boll Mo stof ciSoty| elgt UgtEel S24 JeLct

1. 3|AEN o= Ktz Z2|A0M MY =2 HEE o|FULICH XISREH MY 5ol chs M
[=13
=

node = stream.create("regression", "My node")
# "Fields" tab
node.setPropertyValue("custom fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])



node.setPropertyValue("partition", "Test")
node.setPropertyValue("use weight", True)
node.setPropertyValue("weight_field", "Drug")

# "Model" tab

node.setPropertyValue("use_model name", True)
node.setPropertyValue("model name", "Regression Age")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include _constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping method", "Probability")
node.setPropertyValue("probability entry", 0.77)
node.setPropertyValue("probability removal", 0.88)
node.setPropertyValue("F_value entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)

# "Output..." section
node.setPropertyValue("model fit", True)
node.setPropertyValue("r_squared_change", True)
node.setPropertyValue("selection criteria", True)
node.setPropertyValue("descriptives", True)
node.setPropertyValue("p_correlations", True)
node.setPropertyValue("collinearity diagnostics", True)

node.setPropertyValue("confidence interval", True)
node.setPropertyValue("covariance matrix", True)
node.setPropertyValue("durbin_watson", True)
H 142. regressionnode S
regressionnode £ 1 EM MY
target field I ZEE HY SH HEQ St ojAe ¢
Y oot "L 7 EER XEE »
AELICE XtMst HEE [195 HO[XQ TZE]
[Z2 LE ENy | FHE XYL
method Enter
Stepwise
Backwards
Forwards
include_constant flag
use_weight flag
weight_field field
mode Simple
Expert
complete_records flag
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H 142. regressionnode 58 (Al%)

regressionnode £ o EM MY
tolerance 1.0E-1 R0l 2MSHE AFESHIAIR
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP : F-2& At
useF usefF: F-2f Al
probability_entry number
probabiTity_removal number
F_value_entry number
F_value_removal number
selection_criteria flag
confidence_interval flag
covariance_matrix flag
collinearity_diagnostics flag
regression_coefficients flag
exclude_fields flag
durbin_watson flag
model_fit flag
r_squared_change flag
p_correlations flag
descriptives flag
calculate_variable_importance flag
sequencenode §4
o AT LEE 2 EE AIZH X ClO[EO|M AR FAS WALICL 2XRHLS oS st
F-'_TE_T =MZ Zdot=s Yo A= & 2LICH & S0, HE7|9t OZEH0[E 2MHE
. Ojots D2 g ¥ Toj Ao BES IS TR 4 ABLICL 2AFE =EE 2X7HES
e o 22X 2mA HYS A A 2H2FE V8= Lo

of| |



node

= stream.create("sequence", "My node")

# "Fields" tab

node

.setPropertyValue("id_field", "Age")
node.
node.
node.
node.
node.

setPropertyValue("contiguous", True)
setPropertyValue("use_time_field", True)
setPropertyValue("time field", "Datel")
setPropertyValue("content fields", ["Drug", "BP"])
setPropertyValue("partition", "Test")

# "Model" tab

node.
node.
node.

node

node
node

setPropertyValue("use_model_name", True)
setPropertyValue("model name", "Sequence test")
setPropertyValue("use_partitioned_data", False)

.setPropertyValue("min_supp", 15.0)
node.

setPropertyValue("min_conf", 14.0)

.setPropertyValue("max_size", 7)
.setPropertyValue("max_predictions", 5)

# "Expert" tab

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("use_max_duration", True)
setPropertyValue("max_duration", 3.0)
setPropertyValue("use pruning", True)
setPropertyValue("pruning value", 4.0)
setPropertyValue("set _mem sequences", True)
setPropertyValue("mem_sequences", 5.0)
setPropertyValue("use _gaps", True)
setPropertyValue("min_item gap", 20.0)
setPropertyValue("max_item gap", 30.0)

H 143. sequencenode £

sequencenode £4 o
id_field field M
X Estiof
St
: [of TSE =g
B == S8

time_field field
use_time_field flag
content_fields [fieldl ... fieldn]
contiguous flag
min_supp number
min_conf number
max_size number
max_predictions number
mode Simple

Expert
use_max_duration flag
max_duration number
use_gaps flag
min_item_gap number
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H 143. sequencenode S (A%)

sequencenode EA o Ed 449
max_item gap number

use_pruning flag

pruning_value number

set_mem_sequences flag

mem_sequences integer

slrmnode E4

- SLRM(Self-Learning Response Model) tEE *|' fﬁ SHLESl A A|O|A = 249 M #HO|A
\ Eﬁ] £ M8%t ZE HIO|HE AM8%tes ZEE Musy TR Q0| HEs Mute + A= 2ES
i e = AGLCH
Of| |
node = stream.create("slrm", "My node")
node.setPropertyValue("target", "Offer")
node.setPropertyValue("target response", "Response")
node.setPropertyValue("inputs", ["Cust _ID", "Age", "Ave Bal"])
H 144. slrmnode §4
slrmnode £4 o =4 89
target field =E ZE= E35¥ = S0 HEAOF ¢
LICE Bl HERE XEY = AUSLICH XAMet
Yt [195 Ho[x[e IS8 9 LE E
i | FHE BXSHIAIR
target_response field FY0| EH00F SHLICt
continue_training_existing_model |flag
target_field_values flag Use all: 242 BE S AEgL|Ct
Specify: 229t gtg MESIHAIL
target_field_values_specify [field1 ... fieldN]
include_model_assessment flag
mode]_assessment_random_seed number H0{0F efL|ch
model_assessment_sample size number A4=0f0F BfL|Ct
mode]_assessment_iterations number gt= A
display_model_evaluation flag
max_predictions number
randomization number
scoring_random_seed number
sort Ascending A0 EE AN AZHE #= FQto| M8 E
Descending NE=X EE X|FELICE
model_reliability flag
o1& 2l = &4 259



H 144. slrmnode EH (A&)
slrmnode 4 o EM M9
calculate_variable_importance flag
statisticsmodelnode §4
o EAg RE LCE AESIH PMMLE MASH= IBM SPSS Statistics ZEA|INE Al H|0|H
£ 2Mstn T = JFLICH O] E E IBM SPSS Statistics®| At&® AH20| ZLBrL|Ct.
0] ==9| EM2 354 H|0|X|9] [statisticsmodelnode £ PIA MHEL|CE,

stpnode 4

STP(Spatio-Temporal Prediction) ==& 9Kl H|0|E, 0= (OIZXHE et L= HE, Azt
T o = ZEE Eodts HO|HE AMESRILIC
EfLthE Clo[E{of] of2f ¥o| UASLICE Clo|E 7t

AXANME =E

of

EM
=]

H 145. stpnode

b=
HA =

2t

B

[LEy )

2p fIxlol= 2
2oll=

HFsh= o AI8Y £ ASFLICH

=3 Aol 2t of
=40 AEE 2

stpnode 4 clole /¥ EM MY
zc o
target field OlAd2 =H HEYLICL
Tocation field SEof f(X| F=YLILE X2SH EE
2F S gELIC
Tocation_label field TocationOllA MEHEl 2|X|Z 2f|0|=517|
Sl E20IM ABSts #HIFY EE
time_field field DHO| AlZh HEQLCH HEY KFE
2= WeEot S8, MY R¥S AT,
N, AlZEAQl e F40{0F gfLICh
inputs [field1 ... fieldN] dH "Eo| 58
AlZh 2t
interval_type_timestamp Years
Quarters
Months
Weeks
Days
Hours
Minutes
Seconds
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H 145. stpnode £ (A%)

stpnode M ClolE /¥ EM MY

interval_type date Years
Quarters
Months
Weeks
Days

interval_type_time Hours STP7h AlAHol| AFBSH= AlZE X|E A
Minutes g o nEE= £ LS MLt
Seconds

interval_type_integer Periods 2 LICt AL

(AlZh X+~ 2

ClolEH MEZL Hetd H
7tset M2 2ol CHel time_fieldE
MEHE|= HEO| ME |¥o| w2t CHELY

ct.

period_start

integer

start_month

January
February

March
April

May

June

July
August
September
October
November

December

DH0| X|gtstr| Al&SHE FLICHO
E0‘| March2 MHEZ|X|2t ClO]E ME
1 W 2 ZEJ) JanuaryE AFEEE=
, BE2 N8 F HIAEE AHHD
X|=3tE Al=teh.

oy 1o mlru
o >>+ !

2
=2 -~

week_begins_on

Sunday
Monday

Tuesday
Wednesday
Thursday
Friday
Saturday

CloIE 22 E] STPO| 2fsl| ZrdEl= AlZt
Xl==9f AEFEYULIC.

days_per_week

integer

19] Z20=2 %A 1, A} 7

hours_per_day

integer

Dol st20f chel ne{st= Azt
1022 H¥EE 22 222
day_begins_at A|ZOf| Il—?—ﬂ% NES)
10A|2F St X|32tE A &3
day begins_at gtat Oi%|St=
2 HdELIC

YLct.

|-9 Z+O

8 HA—




H 145. stpnode £ (A%)

stpnode E4

HolH /Y

day_begins_at 00:00 DHEO| X[$3HE ARG AlZt gtE 4F
01:00 gfLict
02:00
03:00
23:00
interval_increment 1 0| T2 432 & E&= XE oot A
2 LICt O|HE ZEO| HIO|HERE X8
3 EdoteX| O E mEELICL TJ2ER
4 Z&0| 300/1 77t RO| seconds f
5 DHE 30x0iCt Ho|HZRE X+ &
6 et
10
12
15
20
30
data_matches_interval 22 NCE MAEl= 22, YE interval type
O=E9| H|0|E| Heto| HEO| FMET| H
off ErABHL|C}
Clo|E{7t o|o| SHIE HAlo|1
interval type S 2E HEE £40| AL
Xt CIo|E et DiX[ste B2, O|AS Y&
HHsto] C|o|E{Ql Heto|Lt S8 Ao
AMAR.
Oldg YE HdFstH BE & HOE At
otX| gt&LCt
agg_range_default Sum O|H2 dA&d e A= 7|2 S
Mean HS TEYLICHL AFEX ol S0l
Min Eds| ZYE(X| gl BE A4y Hes
Max o7 M XHE= WHE A8t 88
Median Gt
1stQuartile
3rdQuartile
custom_agg [[field, aggregation TxoHE BN
method],[]..] A3RE H2: custom_agg
B =2 Mg S0,
[['x5" 'FirstQuartile'J['x4" |set :stpnode.custom agg = [
"‘Sum']] [fieldl function]
[field2 function]
1
O47|M function2 sHE ZE=of ALEE
Sg gLk
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H 145. stpnode £ (A%)

stpnode §4 NEEEE EN MY
712 o

include_intercept flag

max_autoregressive lag integer 19| ZECE % Z|ci 5L|Ct. oA

estimation_method

Parametric
Nonparametric

parametric_model Gaussian Parametric X|2|SZtH SE4 ZHQ| O]
Exponential M P
PoweredExponential

exponential_power number PoweredExponential 22| HEXZ £
ELICE XA 1, Hof 2.

ni= g

max_missing_values integer DHoM s18E= EEUE #= HIRE
of |t HUEJLICE

significance number 23 YoM 7tE dEE Qs /el =
ZolLct £ o] HBE HY, 8% F-
8 « As +HZYS ZYSH STP 2
9 x3o| DE AFYS 9l RN UL
XggLict

E

model_specifications flag

temporal_summary flag

Tocation_summary flag QK| Kof Eo|50] RH =30 TotE=
A RS T

model_quality flag

test_mean_structure flag

mean_structure_coefficients flag

autoregressive_coefficients flag

test_decay_space flag

parametric_spatial_covariance flag

correlations_heat_map flag

correlations_map flag

location_clusters flag

similarity_threshold number £ Z30| e FECE HYE Y| &
20| FABICID 7HRE= AAZRILICH

max_number_clusters integer o =0 ZEE = e 2™ 200 oY
oF detLc.

=
[
w
b}
H
o
u
b
In
m
0x
N
=N
@



H 145. stpnode £ (A%)

stpnode M clole /¥

Aim

2
nx
oz

EEERE

use_model_name flag
model_name string
uncertainty factor number = o, i 100. D242l o|Z0| HEE|

el B7I2 mEYLCh
s

ol =0 chet &gt S SkerLCt.

svmnode E4

o R
S A&LICE SYM2 ThHaol
&
SELIC.

Of| |

node = stream.create("svm", "My node")
# Expert tab
node.setPropertyValue("mode", "Expert")

node.setPropertyValue("all _probabilities", True)

e Hl(SVM) =EE AESHH HI0|HE 2tXg
= HEJH A= HlolE ME

node.setPropertyValue("kernel", "Polynomial")

node.setPropertyValue("gamma", 1.5)

H 146. svmnode EM.

glo] = el 2F & Stz E2RY

ot CllolE MIESF &=

A

0
)
n

svmnode £ 4 EM 49
all_probabilities flag
stopping_criteria 1.0E-1 g 2dn2|F X AlFg TEEL
1.0E-2 Ct.
1.0E-3(7|23h)
1.0E-4
1.0E-5
1.0E-6
regularization number C E2tnk gt
precision number S HEol £ £Z0| Continuous?!
Z0)2k At8RL(ct
kernel RBF(7|22k Heato] AFBStE AHE Yo RYULIT
Polynomial
Sigmoid
Linear
rbf_gamma nuniber kerne10| RBFQ! Z<L0(2H AtEEIL|CE
gamma number kerne10| Polynomial EE= Sigmoid®! &
oot AR Lt
bias number
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H 146. sumnode EX8 (A%).

svmnode £ o EM MY
degree number kernel0| PolynomialQl Z0Tt AT
LICE.

calculate_variable_importance |flag

calculate_raw_propensities flag
calculate_adjusted flag
propensities

adjusted_propensity partition |Test
Validation

tcmnode EA

A Azt ol3F REIS AIAIZ CloE{olM Al olaf BAS HMsHT AEELICH AlZH ol mu
WD oM 2E AP HE 2 Y 2HO| i3t S 2 MES XFELICH 18 oS TEAXT} 2
| b 2Hof o3t XISl AIAY RYUS XASD 2ES} J1E 93 ol BAIS 2 2t Tl
— L,

H 147. tcmnode EM

tcmnode £ 4 £4 &89
custom fields 22
dimensionlist [dimensionl ... dimensionN]
data_struct Multiple

Single
metric_fields fields
both_target_and_input [f1 .. fN]
targets [f1 .. fN]
candidate_inputs [f1 .. fN]
forced_inputs [f1 .. fN]
use_timestamp Timestamp

Period




¥ 147. temnode EN (HH)

tcmnode EM

7}
BA

Am
0x

nx
of

input_interval

None
Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field string
period_start_value integer
num_days_per_week integer
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day integer
start_hour_of_day integer
timestamp_increments integer
cyclic_increments integer
cyclic_periods list
output_interval None
Year
Quarter
Month
Week
Day
Hour
Minute
Second
is_same_interval Same
Notsame
cross_hour 22
aggregate_and_distribute list
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H 147. temnode EA (HS)

tcmnode £

7t
BA

aggregate_default

Mean
Sum

Mode
Min

Max

distribute_default

Mean
Sum

group_default

Mean
Sum

Mode
Min

Max

missing_imput

Linear_interp
Series_mean
K_mean
K_meridian

Linear_trend

He
HA'TY

k_mean_param integer
k_median_param integer
missing_value_threshold integer
conf_level integer
max_num_predictor integer
max_lag integer
epsilon number
threshold integer
is_re_est ]
num_targets integer
percent_targets integer
fields_display list
series_display list
network_graph_for_target ]
sign_level_for_target number
fit_and outlier_for target 2=
sum_and_para_for_target 22
impact_diag_for target =]
impact_diag_type_for_target Effect
Cause
Both
impact_diag_level_for_target integer
series_plot_for target ]

0x
nx
of

Am




¥ 147. temnode EN (HH)

tcmnode §4 o £4 49
res_plot_for_target ]
top_input_for_target ]
forecast_table_for_target ]
same_as_for_target 2=
network_graph_for_series 22
sign_level_for_series number
fit_and_outlier_for_series g2
sum_and_para_for_series ]
impact_diagram_for_series 22
impact_diagram_type_for_series Effect
Cause
Both
impact_diagram_level_for_series integer
series_plot_for_series 22
residual_plot_for series ]
forecast_table_for_series 22
outlier root cause analysis 22
causal_levels integer
outlier_table Interactive
Pivot
Both
rmsp_error =
bic
r_square

outTiers_over_time

series_transormation

use_estimation_period

i i
THO | MHO | MHO | MHO | MO | A

estimation_period Times
Observation
observations list
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
extend_records_into_future =]
forecastperiods integer
max_num_distinct_values integer
display_targets FIXEDNUMBER
PERCENTAGE
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H 147. temnode EA (HS)

tcmnode S o £d 49
goodness_fit _measure ROOTMEAN
BIC
RSQUARE
top_input_for series 22
aic 2=
rmse 22
ts Ekl
NAE =Es A7 ClolElol CHsr XI4Te, 2w £3 0|5 BZ(ARIMA), CHHZY
ARIMA(EE 0| &%) g xxstn Oj2f 45 s MAELCh of AAE k=
. = SPSS Modeler HZ 180{M Cf 0|4 AMZE[X| @t= O|H AL = RARRILICL 2Lt
Of Mf AIAIE E&= IBM SPSS Analytic Server® 7|5& 0|83%t0] &l HIO|EHHE X2|siA SPSS
Modeler HZH 1701 F7tEl £3 Folo| A2 ZHE HASIEE HA=ASLIC

H 148 ts E4

ts §4 o =4 4%
targets field NAE == MEHOZ BiLt

é
Atgsto] stLt O|Ato] =
ol Zgtict gle Y IS
E AM2SIR| EELICE RhAlst
HEE= 195 HO[X[e] TZ& |
@ =c =8Pl vge 3

KSHMA| 2.

ok |m

|

i

candidate_inputs

[field] ... fieldN]

SEM AIESHE Y EE
|C

o4 BEYLITH

use_period

flag

date_time_field

field

input_interval

None
Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod




B 148 ts EE (AH)

ts £4 # Ed £9
period_field field
period_start_value integer
num_days_per_week integer
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day integer
start_hour_of_day integer
timestamp_increments integer
cyclic_increments integer
cyclic_periods list
output_interval None
Year
Quarter
Month
Week
Day
Hour
Minute
Second
is_same_interval flag
cross_hour flag
aggregate_and_distribute list
aggregate_default Mean
Sum
Mode
Min
Max
distribute_default Mean
Sum
group_default Mean
Sum
Mode
Min
Max
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B 148 ts £ (AH)

ts EM

=1 o

7k
BA

dim
0x

nx
of

missing_imput

Linear_interp
Series_mean

K_mean
K_median

Linear_trend

k_span_points integer
use_estimation_period flag
estimation_period Observations
Times
date_estimation list date_time_fieldE AME3t=
oot A8Y 4 UAFLICH
period_estimation list use_periodE AtEste 200
ot AISY 4 UABLICH
observations_type Latest
Earliest
observations_num integer
observations_exclude integer

method

ExpertModeler

Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level_shift flag
expert_outlier_innovational flag
expert_outlier_level_shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local trend flag
expert_outlier_additive_patch flag
consider_newesmodels flag




H 148 ts EY (AS)

ts §4 at £4d 4¥

exsmooth model type Simple X|+He g XIFefct 7|
HoltsLinearTrend B2 SimpleLCt.

BrownsLinearTrend
DampedTrend

SimpleSeasonal
WintersAdditive
WintersMultipli

cative

DampedTrendAdditive
DampedTrendMultiplicative
MultiplicativeTrendAdditive
MultiplicativeSeasonal

MultiplicativeTrendMultipli

cative
MultiplicativeTrend
futureValue_type method Compute Compute?t AFEE|H AJAHIO|
specify 2t o|EH0 ol |2l o
o Ol gt ALt
2t ofz#oict e 223
#, 32 molEQ] W, 7ty
£ gHollM MESEALE
specifyE AIESIH 522
U Y=g = ASLICH HE
HE 9 542 XY
extend metric_values SN2
AESHHAIR. OIE &
set :ts.futureValue_type_
method="specify"
set :ts.extend_metric_
values=[{'Market_1',"USER_
SPECIFY', [1,2,3]},
{'Market_2',"MOST_RECENT
VALUE', ''},{'Market_3',
"RECENT_POINTS
_MEAN', ''}]
exsmooth_transformation_type None
SquareRoot
Naturallog
arima.p integer
arima.d integer
arima.q integer
arima.sp integer
arima.sd integer
arima.sq integer
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B 148 ts £ (AH)

ts 4 U £4 2%
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant flag
tf_arima.p. fieldname integer THo| 8Lt
tf_arima.d. fieldname integer Ho| grgLC.
tf_arima.q. fieldname integer Ho| g8L|Ct
tf_arima.sp. fieldname integer Ho| ggLCh.
tf_arima.sd. fieldname integer Ho| gL
tf_arima.sq. fieldname integer Ho| ggLCt.
tf_arima.delay. fieldname integer Ho| g8L|Ct
tf_arima.transformation_type. fieldname None Ho| ggLCh.
SquareRoot
Naturallog
arima_detect_outliers flag
arima_outlier_additive flag
arima_outlier_Tevel_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
max_lags integer
cal_PI flag
conf_1imit_pct real
events fields
continue flag
scoring_model_only flag O B2 AAIZ (=Tt 7H)7t
A= ZHO| AFSELICH
forecastperiods integer
extend_records_into_future flag
extend_metric_values fields oixHso 02 S H3
+ ALk
conf_limits flag
noise_res flag
max_models_output integer =30 EAlZ 22 ~E WO

stL|ct. 71232 1Lt =

o
Us =

Hel

f
u

|.?5P

Z[ X

— HATT

£ ZE 27t 0




timeseriesnode SM(E 0|4 AIEE|X] 9:2)

D: 0] A2 AMAE == SPSS Modeler HT 180A Cf 0|4 AEEX| 2O IBM SPSS

Analytic Server?| 7|52 0|83%t0 4| HO|E{E X2[st=F
' LICEAIAIE E= AAIE oo et X|sTe, A
H2F ARIMA(SEE TO| &) REZ FFstn Oy

E dole gd Azt 12t =71 2ok ghLot.

Of| |

node = stream.create("timeseries", "My node")
node.setPropertyValue("method", "Exsmooth")

node.setPropertyValue("exsmooth_model_type", "HoltsLinearTrend")
node.setPropertyValue("exsmooth transformation_type",

H 149. timeseriesnode EM

MAE M AAE LE2 HHEIRE
HE X721 S8 0|5 HH(ARIMA), Lt
Qe oS MHBLICE AAE =

timeseriesnode 4 ok £4 49
targets field ANAE E= MEXHOZ it
olael el WES olEXE
AtE3tof Lt IéQI SHE
olsBILIC BlE W JIE BE
£ ALE5tX| LouLIEf XtAst
xo |195 HO[X[o] TSE &
EEEE
BH;MIQ
continue flag
method ExpertModeler
Exsmooth
Arima
Reuse
expert_modeler_method flag
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level shift flag
expert_outlier_innovational flag
expert_outlier_level shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
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H 149. timeseriesnode E8 (Al%)

timeseriesnode 54 ot £4 49
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p integer
arima_d integer
arima_g integer
arima_sp integer
arima_sd integer
arima_sq integer
arima_transformation_type None
SquareRoot
NaturallLog
arima_include_constant flag
tf_arima_p. fieldname integer Ho| g+=8L|Ct
tf_arima_d. fieldname integer Ho| gte8lL|Ct
tf_arima_q. fieldname integer Ho| g+8L|C
tf_arima_sp. fieldname integer Ho| gte8LCt
tf_arima_sd. fieldname integer Ho| g+8L|C
tf_arima_sq. fieldname integer Ho| 8L
tf_arima_delay. fieldname integer Ho| grgLCt.
tf_arima_transformation_type. fieldname None Ho| g8L|Ct
SquareRoot
NaturallLog
arima_detect_outTier_mode None
B B B Automatic
arima_outlier_additive flag
arima_outlier_level_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
conf_limit_pct real
max_lags integer
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H 149. timeseriesnode E8 (Al%)

timeseriesnode £ o EM 49
events fields
scoring_model_only flag O 2 AAG (=2t 77t
U= ZEO| ArERLICE
treeas 4
PN Tree-AS LEE= 7|2 CHAID TE2t SAFSHR|TH 8] HIO|EE Xf2|sto] Tt Ez|E EMSIEE
}I{bf\ HA=FSH SPSS Modeler HE 170 F7HE &3 Fo{of| 22t RS HAILICL O] LEE %

H BgeS MESY| 28l F0IME SAHAZHCHAID)S AN 2AIEE EZ|E Myt of

o =
CHAID?| AI82 25 Z0| M oldel 27|E 712 2Ulsts H2E EEIE ddY + A&

Ch S8 % 28 o= Xt He|(H@4Y) £ HFEYULICH Exhaustive CHAIDE 7Hs%8 ZE
2oS EMS= HOF HXS Mg +"SHK|T AlSHs Ol AlZto] o ZE2ls HE CHAIDRL
ct.
H 150. treeas 4
treecas 4 &% £4 29
target field E2|-AS LE0|M CHAID 22 T SHS
St ofAtel ™ HET eyt v
Er XHE = JUFLICE KME HEE=
[Holxlo| T=& ZEE L ENj | LHES
EXSHAIR.
method chaid
exhaustive_chaid
max_depth integer 0Ol MEE 207tX|2| Z|Cf E2| Zo|L|ct 7|
22 5Lt
num_bins integer ClojE{7t 4 ez FHEE o
ArgeL|Ct o] Ar8Y sget ¢k 77t
E HESUAR. 882 2, 4, 5, 10, 20, 25, 50
EE 1004LCE
record_threshold integer DHo| Eg| 2y F0of p-2t AE0M 2 2
712 dMeste HIZE $LCh J2E2
1,000,0000/04, 10,0002 ZE2Z 0| g2 52|
7Lt E0[MA|2.
split_alpha number BY Qo|aZL|Ct, 22 0.011F 0.99 AtO[of|
AO{OF TL|Ct
merge_alpha number Bt RA+ZYLICE 22 0.012 0.99 O[]
AO{OF ThL|ct
bonferroni_adjustment flag Bonferroni #HE A3t Rold g =H
SHL|CH
effect_size_threshold_cont number LCE Bost i % 37| A ¥ dHasd
SHE AEY of Het HEE HESHAR.
2 0.012F 0.99 Atojof RUO{OF FHL|CE
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H 150. treeas EM (AlL)

treeas 4 o E4 49

effect_size threshold cat number TEE BYY I RF 37| AE ¥ HEY
SHE AT o He HEE HFSHAR. 3
2 0.012F 0.99 Atolof A0{oF BhLCt

split_merged categories flag HetEl HEo| xHEgE S8t

grouping_sig_level number = FEO| ddE= WY E= HFEYEe &
EE Adste WHe mhEst=s ol AFSELIC

chi_square pearson to|HlE SAES AlMst=s Ol ArEst= &H

Tikelihood ratio (Pearson L& R EH|(Likelihood Ratio))& L

ct.

minimum_record_use

use_percentage
use_absolute

min_parent_records_pc number 71222 28lLIC} 19 E2o= XA 1, oY
100QLICE. e 27| 2to| &t¢| £7|=LC) =0t
OF gLt
min_child_records_pc number 71292 1YLt 19 ZRCE H4 1, HCf
1004LICt
min_parent_records_abs number 7|22t2 100YLICE 18] ZBRCE A 1,
O 100RLICt &%l &7| 20| ot &7|LCt
=00k ofL|Ct.
min_child_records_abs number 7| 222 50LICt 19 BROE 4 1, HCH
1004LIC
epsilon number M J|CHEIES] Z[A HIFQIL|CH
max_iterations number +EE Q% Hof HrEYLICH
use_costs flag
costs structured Txo EMYLICh "A2 MA gt olEd %
olF0| &2 <9l HIE82l 3 e ==LICE
HE S
tree.setPropertyValue("costs", [["drugA",
"drugB", 3.0], ['drugX", "drugY", 4.0]])
default_cost_increase none D MY SHOT ALY = JSLICH
Tinear HIE wXtEOIM 7|22te HHESHAL.
square
custom
calculate_conf flag
display_rule_id flag

2t 20t XFEl= HOlE =0 gt IDE
HEASt= 23013 E£20| HEE FItLc).

o

M3 =9 L2 £y 277

m



twostepnode E4

=8 MEZ 2=35t7| 2ls HolHE

Of| |

node = stream.create("twostep", "My node")
node.setPropertyValue("custom fields", True)
node.setPropertyValue("inputs", ["Age", "K", "Na", "BP"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model name", "TwoStep Drug")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("exclude outliers", True)
node.setPropertyValue("cluster label", "String")
node.setPropertyValue("label prefix", "TwoStep ")
node.setPropertyValue("cluster num_auto", False)
node.setPropertyValue("max_num_clusters", 9)
node.setPropertyValue("min_num_clusters", 3)
node.setPropertyValue("num clusters", 7)

B 151. twostepnode S

O S 2Eh ZEYHES ALBHLICH X WA Tl @Al 22 HOlEE Bal T3

2 o Ch WIS AWSILITL & WA tls ASH 2T Y
2FoR AsM Warets ATt osis 22 o]
0 = St o ololef ME

2

twostepnode 4 i EM Md
inputs [field1 ... fieldN] OjEtA ZE2 3 Lol SES AESHX|T
SEL gLt 15K U YT HEE o1y
E[X| #ELICH XpAet YE= [195 HO[X[Q]
[T2€ 599 =C £4) | 388 &xotAl
2,
standardize flag
exclude_outliers flag
percentage number
cluster_num_auto flag
min_num_clusters number
max_num_clusters number
num_clusters number
cluster_Tabel String
Number
label_prefix string
distance_measure Euclidean
Loglikelihood
clustering_criterion AIC
BIC
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twostepAS E4

OjEtA Z&2 F=SHA| 42 CIo[E ME QholM i FHEE= ZE)S E2U=s AAE &
M S3QUCE of ZRANJ} Meets YTEFS WEY U A4y Aol Mol 2 49 A5
MEf 8l gy 22 e 2 Vg KtEStols o2 JHA| HEEERE V158 A3 ASLIC
H 152. twostepAS EM
twostepAS EA ot E4 49
inputs [fl ... fN] TwoStepAS ZE i LEQ|
SES M8 SHE Q&
LCE Jt5% & gl EHE= ol
ME[X| gtELIT
use_predefined_roles Boolean 7| 28=True
use_custom_field _assignments Boolean 7| 234f=False
cluster_num_auto Boolean 7| 22=True
min_num_clusters integer 7|123f=2
max_num_clusters integer 7|2%84=15
num_clusters integer 7| 2%=5
clustering_criterion AIC
BIC
automatic_clustering_method use_clustering_criterion_setting
Distance_jump
Minimum
Maximum
feature_importance_method use_clustering_criterion_setting
effect_size
use_random_seed Boolean
random_seed integer
distance_measure Euclidean
LogTikelihood
include_outlier clusters Boolean 7| 22=True
num_cases_in_feature_tree_leaf_is_less_than |integer 7| 23=10
top_perc_outliers integer 7|12%=5
initial_dist_change_threshold integer 7|12%4=0
Teaf_node_maximum_branches integer 7|1 2%=8
non_leaf node maximum branches integer 7| 24=8
max_tree_depth integer 7|12%4=3
adjustment_weight_on measurement level integer 7| 2at=6
memory_allocation_mb number 7| 28f=512
delayed split Boolean 7| 22t=True
fields_to_standardize [f1 ... NI
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H 152. twostepAS §8 (Al%)

twostepAS M 4 EM M9
adaptive_feature selection Boolean 7| 22t=True
featureMisPercent integer 7|128k=70
coefRange number 7| 22+=0.05
percCasesSingleCategory integer 7| 238f=95
numCases integer 7|2at=24
include_model_specifications Boolean 7| 22=True
include_record summary Boolean 7| 22t=True
include_field transformations Boolean 7| 28f=True
excluded_inputs Boolean 7|1 22t=True
evaluate model quality Boolean 7| 22f=True
show_feature_importance bar chart Boolean 7| 22=True
show_feature importance word cloud Boolean 7| 22f=True
show_outlier_clusters Boolean 7| 22=True
interactive_table_and_chart
show_outlier clusters pivot table Boolean 7| 22k=True
across_cluster_feature_importance Boolean 7| 22=True
across_cluster_profiles_pivot_table Boolean 7| 22k=True
withinprofiles Boolean 7| 28f=True
cluster_distances Boolean 7| 22=True
cluster_Tlabel String

Number
label _prefix String
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H 14 3 29 42 LE £

DY 4 LE= OHE L Eot SYUS I 5SS FRYLICEL XME HE= 78 HO[X|9] IZE L
c E4) ol &S AXSHIAIR

applyanomalydetectlonnode EM

ol&t @5 A DHE LCE ALESHH o4 o= A 2 H2lg WY = AELICL o] 23 |
el AARE O|F2 applyanomalydetectionnodedLICH RHEE & XpA[Q] AIEE0| CHSE XhA|o
HMEE |19 |0]X]9|] TFanomalydetectionnode E4J [ &ZotHAIL.
H 153. applyanomalydetectionnode S4.
applyanomalydetectionnode £ 1 £4 49
anomaly_score method FlagAndScore ATOEE Qo HYEE EHS THYLICH
FlagOnly
ScoreOnly
num_fields integer Haogh gelu|ct
discard_records flag HZEZ UM AHE=X RS BEAIRLCL
discard_anomalous_records flag Ol &= &= H|o|d &5 HIZEE MAHZX o
o HAIZ|YULICE 71222 of fE, HIO|Y &= 22
St MXEg onjgtLch. J™X| 981 on®l H< 0]
4 g= YIS AMEUT. o EYe
discard_records S40| AHE Jt58 A0 ALE
st

applyapriorinode §4
Apriori 283 =ES AE5I0] Apriori 22 UHAS ddY + AFLCL Of 2 H2lo] AFEE
|E

O|S2 applyapriorinodedLICt. BEZ = XS AIZEO0 Chet XMS FE= [197 HO[X|2
| Fapriorinode E4 [& &XSHUAI2.

B 154. applyapriorinode S4.

applyapriorinode E4 o EM HdY
max_predictions number(H=)
ignore_unmatached flag
allow_repeats flag
check_basket NoPredictions

Predictions

NoCheck
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® 154. applyapriorinode E4 (Al%).
applyapriorinode E4 4 Ed 49
criterion Confidence
Support
RuTeSupport
Lift
Deployability
applyassociationrulesnode 4
et A DEE EE ARESHH gt 74 2E IS ddE + JASUCoh of 2™ 1H2lel A3
28 0|22 applyassociationrulesnodeLICt, RHZ = XH|o] AIZEO| Chet XMIsH HME = [198
EHO|X[9] [associationrulesnode 4 [ & ZSHUAILR
B 155. applyassociationrulesnode 54
applyassociationrulesnode 4 |HI0|E| 8¥ Ed 49
max_predictions integer A30{0f et 2t ol MEEH £+ A= A &
LI}
criterion Confidence Ao ZEE EHS=E O M8%te EXE MEiG
Rulesupport A2
Lift
Conditionsupport
Deployability
allow_repeats 2E SY%t olEFE 2= R0 ADOo| EEE=X o
2E mEgL|CL
check_input NoPredictions
Predictions
NoCheck
applyautoclassifiernode 4
s 2FA 2 LEE ARBSH Xis 2FA 2Y His Mdd = JAGLICH o] 2Y {29
ASEEY 0| applyautoclassifiernodeLICt, DR = XpHQ| AIZEO| Ciet XtMlet HE= 200
MO|X|9] Fautoclassifiernode EA [ EZoHMAIL,
H 156. applyautoclassifiernode S4.
applyautoclassifiernode A o EM 49
flag_ensemble_method Voting YME ATNHE EHSH= O AESH=
ConfidencelWeightedVoting ghHe X|FRLICE o] ME2 MEHE Of
RawPropensityWeightedVoting 40| S2H3 HEQ! F202t HEFLIC
HighestConfidence
AverageRawPropensity
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H 156. applyautoclassifiernode S4 (H%).

applyautoclassifiernode EA M E4 49
flag_voting tie selection Random EH WHo| MEEl= 22 STRIE o
HighestConfidence Zote dHE XMYLICE o] ¥™2 M
RawPropensity BiEl CHAO| 220 HEQ HL0T X
gELCh
set_ensemble_method Voting YaE ATNE THHESH= O AESH=
ConfidenceWeightedVoting grHe X|IEELIC o] ME2 MEHE of
HighestConfidence 0| HE FEQ F0zt HEFLICt
set_voting_tie_selection Random EH YHo| MEE= H2 S&/IE ol
HighestConfidence dot= HE X|FELC of ME=2 M
BiEl Cfao] E= HERl AR0T HE
ElL|Ch

applyautoclusternode §4

ocoo=2
=& 0|2 applyautoclusternodedLICt. O] 2H 14219 CHE EH

Ml A3ZE st XpMISH MEE 03 HO|X|9] [lautoclusternode

applyautonumericnode §%4

s =X ™Y LEE AESI0 X5 X ZE HAS My + JASLICE of Y HA A3

& 0|52 applyautonumericnodedL|Ct, RHZ & XpA[S] AITEO| S XMISH HEE= 204 T
X

OIX|9] Tautonumericnode EA [ #

# 157. applyautonumericnode £4.

applyautonumericnode S o E4 49

calculate_standard_error flag

applybayesnetnode §4

HIO|X|Qh HEY B LEE AESH0] H|o|X|et MFY 2y H2lE d8Y 4 ASLICE o] 22
29| ATZE 0|52 applybayesnetnodeLICt, DR = XHo] AIZE CHst XMst HEE
P05 HO|X|2] [Ibayesnetnode S [ EZSHMUAIL.

H 158. applybayesnetnode 4.

applybayesnetnode £ 3 E4 49

all_probabilities flag

raw_propensity flag

adjusted_propensity flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

A4 28 {4 L2

0x
N
[0
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applyc50node §4

C5.0 2 LES A8SHH C5.0 23 HAS Y83 + AGUCL ol 2 12l A3-E 0|82
applyc50nodeULICt. BHZ == XpH|o] AIRIE0| Chst XpASt HEE P07 HO[X[9[ Tc50node E]
A B EESHIAR.

H 159. applycS0node 4.

applyc50node §4 o E4 49
sql_generate Never 7 NE A" F0| sQL MM SMS dNst
NoMissingValues = O AFSELCt
calculate_conf flag SQL o] A8 7tse I ALY =+ USL
Ct. o] EMole MAEl E2loMe MEE A

Ao ZEerEL|Ct.

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applycarmanode £
CARMA 22 -T2 ALl CARMA 2 L{2I2 M&E & UBLICH 0] 2Y LfZ10] A3
& O|Z2 applycarmanode@dL|Ct. O] 2 {Zle| CE EM2 EMSHX| ASL|CH

o A3ZE i3t XMst MEE 209 HO[X|2] Tcarmanode E4J [ &ZsHYA|

applycartnode §4

C&R EZ2| ZE2 LEE AL8SIH C&R E2| 2 H2lg MY £ JAGLICH o] 2 142lel A3
ZE 0|E2 applycartnodeULICH ZEZ = XiH|Q et XMt HE =
[ Fcartnode E4J [g &ZBHYAIL.

|>
|u
i
om
=2
[

H 160. applycartnode 4.

applycartnode M o EMd 49
enable_sql_generation Never A NE ¥ F0| SQL My S HA¢t
MissingValues = O AFSELCt

NoMissingValues

calculate_conf flag SQL o] A8 7tse o AF8Y & USL
Ct. o] SEdol= WHE EZ|olMel d=lz A

Aof ZetElL|Ct.

display_rule_id flag Z B|RES XFEl= HOlE B0 tiet IDE

HAISts AT0{E &Ho| HES FItLCH

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

284 IBM SPSS Modeler 18.1.1 Python A3ZE 5! XtE3t M



applychaidnode §#4

CHAID 22 EE ME35I0 CHAID 2 HAS Mdd = JA&LCH of 2 {29 AFEE
0|22 applychaidnodeLICt, BHY =T Xix|o| ATZE0| Cist xSt HEE 12 HO[X[Q]
[ Fchaidnode E4J [ HZESHUAIL.

H 161. applychaidnode S4.

applychaidnode §4 ZI £4 449
enable_sql_generation Never A NE Ad F0| SQL MY SHS HdAet
MissingValues = O AFSgLct
calculate_conf flag
display_rule_id flag 2t A2 EVt XFEl= BOlE =0 gt IDE
EAISH AZ0(Y 20| WES AJbgLIC
calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applycoxregnode £%4

Cox B™E LEE AE3IH Cox 22 H2ls ddg = JAELITH o] ZE Hale| AFEE 0|2
applycoxregnode ILICE D = XpHo] ATZE0| et XpMlsh 2= 14 HOJX|9] Feoxregnode]
S XIXBHAA|Q.

H 162. applycoxregnode S4.

applycoxregnode £4 o EM dd
future_time_as Intervals
Fields
time_interval number
num_future_times integer
time_field field
past_survival time field
all_probabilities flag
cumulative_hazard flag

applydecisionlistnode &4

MEH =5 ZHY LEE AESHH QAEY =5 ZE Hllg Mdd & UFLCH of 2 142
o ARG O|EE applydecisionlistnodeL|Ct. EHZ = X}
P16 HO|X|S] [decisionlistnode 41 & &HZESHIAL.

o=
AAZIEIN| CHSE XEMBF HEE=

H 163. applydecisionlistnode 5.

applydecisionlistnode EA o EMd M

oﬁ

enable_sql_generation flag true M IBM SPSS Modeler= SIMEY 5
£ ZES SQLO| CHAl Eo2{u AlE=EfLC
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® 163. applydecisionlistnode £ (Hl%).

applydecisionlistnode EM o

Am

%
nx
of

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applydiscriminantnode £
TE D S22 AESe THE RE HAS ddY + JASLILE o] ZE HIlo] A3EE 0|§2
applydiscriminantnodeLICH 2@ L= XtH|e] A3

=
| Fdiscriminantnode E4J [ &ZSHYA

.FO

H 164. applydiscriminantnode 4.

applydiscriminantnode £4 o Ed 449

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applyextension §4

s O Les oy HE S MMete O A 8E &=

@ &LICH o] B 42| ATYE 0|22 applyextension?] L|Er
DI L& XpNe 23R ot IHﬂ"* BE=
[XI9]  TFextensionmodelnode 41 [ &HZESIHMAIL.

Python for Spark Ci|X|

#### script example for Python for Spark

applyModel = stream.findByType("extension_apply", None)
score_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.ml1ib.Tinalg import DenseVector

from pyspark.mllib.tree import DecisionTreeModel

from pyspark.sql.types import StringType, StructField

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = cxt.getSparkInputSchema()
_schema.fields.append(StructField("Prediction", StringType(), nullable=True))
cxt.setSparkOutputSchema(_ schema)

else:
df = cxt.getSparkInputData()

_modelPath = cxt.getModelContentToPath("TreeModel")
metadata = json.loads(cxt.getModelContentToString("model.dm"))
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schema = df.dtypes[:]
target = "Drug"
predictors = ["Age","BP","Sex","Cholesterol"”,"Na","K"]

Tookup = {}
for i in range(0,len(schema)):
Tookup[schema[i][0]] = i

def row2LabeledPoint(dm,lookup,target,predictors,row):
target_index = lookup[target]
tval = dm[target_index].index(row[target index])
pvals = []
for predictor in predictors:
predictor_index = Tookup[predictor]
if isinstance(dm[predictor_index],list):
pval = row[predictor_index] in dm[predictor_index] and dm[predictor_index]
.index (row[predictor_index]) or -1
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval, DenseVector(pvals))

# convert dataframe to an RDD containing LabeledPoint

1ps = df.rdd.map(Tambda row: row2lLabeledPoint(metadata,lookup,target,predictors,row))
treeModel = DecisionTreeModel.load(cxt.getSparkContext(), modelPath);

# score the model, produces an RDD containing just double values

predictions = treeModel.predict(1ps.map(lambda 1p: 1p.features))

def addPrediction(x,dm,lookup,target):
result = []
for _idx in range(0, len(x[0])):
result.append(x[0] [_idx])
result.append(dm[Tookup[target]] [int(x[1])])
return result

_schema = cxt.getSparkInputSchema()

_schema.fields.append(StructField("Prediction", StringType(), nullable=True))

rdd2 = df.rdd.zip(predictions).map(lambda x:addPrediction(x, metadata, Tookup, target))
outDF = cxt.getSparkSQLContext().createDataFrame(rdd2, _schema)

cxt.setSparkOutputData(outDF)

applyModel.setPropertyValue("python_syntax", score_script)

R of|H|

#### script example for R
applyModel.setPropertyValue("r_syntax",
result<-predict(modelerModel,newdata=modelerData)
modelerData<-chind(modelerData,result)
varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure="",
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

® 165. applyextension 4

applyextension EM o E4 49
r_syntax string 2 A0S R ATRE IE

Ho14 2 42 = EM 287



H 165. applyextension E4 (Al%)

applyextension £ o EM MY
python_syntax string 2E ADOE 2[$F Python 23EE
TEYLICH
use_batch_size flag BiX| M2| AH8ES 7hssHAl gLt
batch_size integer Zb Hixjofl Zeket oojy HRES +~E
X"t AIR
convert_flags StringsAndDoubles 220 HEE #ashes 4.
LogicalValues
convert_missing flag AZXUE R NA ULE W= ZHY
Lict
convert_datetime flag HU EE "HW/AZE AE H= He
£ R EW/AIZ HAOZ Hetsls S,
convert_datetime_class POSIXct HW = "ER/AZE QA2 2= He
POSIX1t £ Had "gAlg xFsh= 84
E
applyfactornode §4
PCA/R2l HHZ EE AME3I PCA/RQ 2E IS d8g = ASLICE of 2E 4219
3zlEl o] ENe

2 applyfactornode LIt O] 2 {219 CHE £
Bloj| chst XtMlst MEE= P21 HO[X|Q] [factornode

=
[}
Kol 238

applyfeatureselectionnode 4

= = -1
& O|E2 applyfeatureselectionnodeLICt. DY == XM AIEEO| CHot XpMSH HEE= 23 H|
O|X|S] [featureselectionnode EAM [& EHZESIMAIL.

11||:)L-|EH EE—IIEI LEE A|._9_o|.|:q ILII:A-|EH ool L:BJ o—l‘é‘l- ES |§|_||:|._ o| EHI L‘|7|°| _:|EI
3

H 166. applyfeatureselectionnode S-4.

applyfeatureselectionnode £4 o EM 49

selected_ranked_fields DY HXolM MEHE &9 HEES X|Fe
LICh

selected_screened fields D HtRXollM MEHE X HEE X|FE
LICt.
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applygeneralizedlinearnode §%4

5 M¥(genlin) 2 =EZ ARSI YEts} MY 2 (22
° c

W T

AARE 0|52 applygeneralizedlinearnodeL|Ct, ZHZ L&
HE P25 HO|X[9] [lgenlinnode EAJ [ EZSHUAIL.

ot 7 o

0l

H 167. applygeneralizedlinearnode EM.

applygeneralizedlinearnode §4 o EM 49

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applygimmnode §4

GLMM EEZ LEE M85l GLMM 2 42
O|E2 applyglmmnodeyLICt. DR L= XiA|
[Tolmmnode 81 j2 HZ3HIAIL.

\o >\'

H 168. applyglmmnode S4.

A3

=
=]

om

1o

<£| = = A —
| 23EE0 cheh XMt §2= 28 HO|X[2]

applyglmmnode £ o EN MO
A

confidence onProbability
onlncrease

score_category_probabilities flag TrueZ &

EILICt 71222 False®L|Ct

max_categories integer SEZ OEY Hoh HF

L ch

score_category probab1ht1es7f True@! AL
olIgh ARZefLCt.

score_propensity flag

22 Fa

rl

1se@L|CE.

TrueE2 A¥EH S 57
St 2IAl MEF A ("True" Z1t9
AgLict mE|Mo| K= AR, 4™ MEME
719to2 £HE 4ok AT MMBL|CE 7]

=2 Zt=
= X+

Z2Eof o

eE)S 4

[>Tl
m | &
oM

enable_sql_generation udf
native o A

e

L HATC

Eo
gegfLct.

oM 230{™sH=
71282 udfYLCh

0

o2l

=2

40| AFLICH.

0| SQL ¥M SME MF
o O E{ | O] A0
SPSS® Modeler Server 222 {HEIE A}
8510 AT{YSHHLHATOZ O{RE{T MX|
El oo|Et[o] A0

ot

Z A0

ZL) SPSS Modeler

Mz

=]
=

EE



applygle 4

GLE 222 E= GLE 22 {212 MAMSt= Oof|oh Ar2E £ JUELICE o] B {3lo] A3
0|52 applygleLICt. DR T XtH|Q] ASZE| CHst XtMIT MEE 232 HO[X[9] Tgle E4
g HZSHAIR.

2IE
H o
.|
O

H 169. applygle E4

applygle §4 o E4 49
enable_sql_generation udf AEY HE F0 SQL MM Mg MHS=

native o AMSELICt CIO|EHHO|AZ FEAIHHSHT
SPSS Modeler Server 230{2Z! H{HEHE ALE
S5t AT HSHHLHAZO™ {REE 7 AX[E
olo|EH|o|A0f| HAE ZBSR) SPSS Modeler OF
oM ATOHY S MEHSHHAIR.

applykmeansnode £

K-1111_+ DEE LEE M8OHH K-HE 22 1S ddY = AsLIth of 22 429l A3EE 0]
= applykmeansnodedL|Ct. O] 2 {219 CtE Ed2 EMSHX| LT - = X9l A&
x

AT IJI

2RO oigt XtMst HEE 36 HO[X[S] kmeansnode S4J & HZESHIAR.

applyknnnode §#4

KNN E22 LEE AE%HH KNN 22 H2l2 M4
2 applyknnnodeL|Ct. R L E X2l ATEE

Edile azxstuie.

# 170. applyknnnode 4.

N2t 4 UBLICL 0f 2Y {29 A3 0|8
| S

CHEE REMISE ME = 37 HO|X[9]  knnnode]

applyknnnode EA o Ed 49
all_probabilities flag
save_distances flag

applykohonennode §%4
Tod DEE CEE AESIH IS DY 428 MMY > JASLICH
== applykohonennode®LICE O] 2& {219 CIE EH2

Elof cHet XtMiet Me = 07 TO[X[S] Fc50node E4J [g HZESHUAIL.

|U 0
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applylinearnode 4

MY Y CCE ABs MY BY 42 MEY 4 UsLC of BY L9 A3 0|2

applylinearnodeLICH REZ = XiN|o] AT ZE0| thet XMISH ME = 40 HO[X[S]  [linearnode|

gzstilAle.

H 171. applylinearnode E4.

Tinear §4 ot £d &9

use_custom_name flag

custom_name string

enable_sql_generation udf AEY HE =0 SQL MM Mg MHS=
native ol AtEefL|ct. C|O|E{H|Ooj A0 FEAIMSED
puresql SPSS® Modeler Server AT0{E {HEHE At

810 ATNYSIHLH(AZOY {HET HX|
=l oo|E{H[o| A0 HEE HL) SPSS Modeler
OlA AZO{ASHHLE C|O|E{H|O| A ZEA|uHSH
1 SQLE AHBetd ARO{AsH=E SM0| UL
LIctH

71232 udfLct

applylinearasnode £

Linear-AS 222 LCE AIE%I Linear-AS 22 {212 MMeh & QJASL|CLH O] RE HZlel A3
e 0|82

2 applylmeamsnod eLICH REE E XpNQ] A3FE0 et AtMet HE= 241 T O[X|
| [linearasnode S4J [ XA

B 172. applylinearasnode 4

applylinearasnode £ 3 £d 4dF
enable_sql_generation udf 71282 udfLICE
native

applylogregnode £

RXIAE S7IEA DU LES A 2HAE RN 2Y HAS WEY  ASLC. of @
A 2] A3IREY 0|5 applylogregnodeLICt. BHE L& XpHQl A

= 42 HO|X|9] T[logregnode EAJ B A ZTSIUAIL.

H 173. applylogregnode E-4.

applylogregnode EM 3 EM HdY
calculate_raw_propensities flag
calculate_conf flag
enable_sql_generation flag
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applylsvmnode £

LSVM Z2E2 LEE AE3I0 LsVM 22 HAlS dded = JASLICH of 2 H2le] AFEE 0
52 applylsvmnodedLICt, REHZ LE XtHQ] AITEO CHSt XtMet EE
[ llsvmnode E4 & &ZsHMAI2.

H 174. applylsomnode S8

applylsvmnode E4 o £ M9
calculate_raw_propensities flag A HE AT0 At RE X|Fect
enable sql_generation udf 23018 OHE(EXE ER)E AMEotHL E=2
native M20lM ATOE AHXMEX| OFL|H HO|E{H|O|A
Q0N ATOE AMSXE XF LT

applyneuralnetnode §4

MZY B LEE A MEY E':é' Halg ddd —’F %l%'—l'if of EE*' el A3EE 0
E2 applyneuralnetnoded L|Ct. 2R & XMl A e
| Fneuralnetnode E4J [& &ZsHMA|2.

FO: MEY 14219 7|50| eratE A HTO| O] HE|ANM ALE 7HSSHH CHE HE(applyneuralnetwork)
OlM AEELICL O] HHXES OFF] A 8E £ UXITH M HE S AESIEE ATZEE AUHOIEY A
= HITYLICHL O] HTQ MEARL2 HEE Qs of7[of EREX|CH siE X¥2 Atz I A0M

M7 Lt

H 175. applyneuralnetnode EM.

applyneuralnetnode §4 o E4 49

calculate_conf flag SQL MHMo| A8 Jtsg m A8E & UELICH
0| Edoll= ddE Ez|ofMel M2 AHLo] =
stEILICH

enable_sql_generation flag

nn_score_method Difference

SoftMax
calculate_raw_propensities flag

calculate_adjusted_propensities |flag
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applyneuralnetworknode §4

NFY DY TCE AISSO AFY DY L2 MY £ YALICH 0 BY LAY A3E 0
o

2o

H o
=2 applyneuralnetworknode@LICt. Z& LT XtHe AIZE e XM MEE
heuralnetworknode E4IE &ZsHYAIL.

H 176. applyneuralnetworknode S

applyneuralnetworknode 4 ZA" £4 449
use_custom_name flag
custom_name string
confidence onProbabiTity
onlncrease
score_category_probabilities flag
max_categories number
score_propensity flag
enable_sql_generation udf AEZ MWl F0 SQL MM SMS MHSI=
native Ol AtEefL|ct. CIO|E{tH|Oo] A0 FEAIMSED
puresq] SPSS® Modeler Server ﬁio'l_'_‘c;l O'|E|=|HE'|% Al’
8510 2F0HSHLHAZE OfHE{7} X
El H|o|E{tijo| A0 HZEE HS) SPSS Modeler
Ol ATO{RISEALE ClIOIE{H|O] A0 FEA|2HS)
1 SQLE A8t AROIAHSH= SMO| US
LICt.
71222 udfL{Ch

applyocsvmnode §4

One-Class SVM =EZE A3t One-Class SVM 2% {712 MMEt 4~ QI&LICtH o] 2& 1429
A3EE O|E2 applyocsumnodeLICt. O] 2E {29 CHE & WSIR| ek&Lict Beal L=
Aol A3RElof gt XiMISH MEE [357 HO[X|9] [Focsvmnode EM [ EZESHIAIL.

applyquestnode 5

QUEST 22& LEE A3 QUEST 22 g HMd
O|E& applyquestnodedLICt. ZEHZ E XtHo| ATEE
| Fquestnode E41 |2 &HZsHUAIL.

= 4>
50
o>
I
n
°
0
i
N
o
>
i
u
o

=]}
. =
CHet Xidlet dE= P52 Ho[X|2f

H 177. applyquestnode E4.

applyquestnode §4 ZA" £4 449
enable_sql_generation Never A NE Ad F0| SQL My MS HdAet
MissingValues = O AFSgct

NoMissingValues

calculate_conf flag

H 14 2 42 L= EM 293



® 177. applyquestnode 58 (A%)

applyquestnode EA o E4 49

display_rule_id flag Zt B|RES XEEl= HOlE B0 tiet IDE
EASts 2301 30| EES FIHEUC)

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applyr 4

R 2 LEE MESI R 22 IS dde = JASLICL o] 2 {2l AAZE 0|2 applyr
ALICH Y L& XMl A3ZE | et XtMst e o7 HolX[e Tbuildr 4 [g &xdt
MAI2.
H 178. applyr &4
applyr £4 o E4d 49
score_syntax string DY A2 R AFEE FE
convert_flags StringsAndDoubles 20 HEE Hashs 4.
LogicalValues
convert_datetime flag EHW s /A GAS e He
£ R EM/AIZE YAloz Helksh= SM.
convert_datetime class POSIXct HU Ee "W/ A GAE He He
POSIX1t £ Hag gA2 XYse 34
convert_missing flag AXUE R NA gRE HESH= 34
use_batch_size flag HiX] M2| AR S 7tsSdsHAl gLt
batch_size integer Zb HiX|ofl Zetet olojy HRAES &
XEshdA 2.

applyrandomtrees &4

Y Ef| RE LS AMESH HME E2| DY s dHY = ASLICH of ZH e A3
HE O|&2 applyrandomtreesyL|Ct. DY L E XpH|o] AIZIEO| CHEE XtMISH FE = 254 HO[X]
] Trandomtrees E41 [ HZsHUAIL.

H 179. applyrandomtrees 4

applyrandomtrees S o Ed M
A
o

= Bz E2|ofMel MR Aito|

calculate_conf flag ol

enable_sql_generation udf AEZ MY =0 SQL M sMdES MHFS=
native Ol AtESfL|Ct. CIO|EH|ojAZ FEAIMSET

SPSS Modeler Server 2T 0{E O{HEE Al

5t AT ASHHLH AT O™ O{REE 7L MX[E
Hio|E{H[o| A0 HEE HBL) SPSS Modeler 2F
oM ATOAY AS MEHSHUAIR.
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applyregressionnode §4

M 9|7 B LEE ARSI MY 27 2 HaS dde & JSLICL of 2Y HAlel A3
=HE 0|82 applyregresszonnode ILICE o] 23 42l CHE EdE2 EXHXA| efgLct RHE L&
XAl A3TRE| st XtAet HEE 55 HO[X[9] [regressionnode E4y B HZESHIAIL.

applyselflearningnode 4

XpM| St e SDE(SLRM) 22 L EE AFRSI0 SLRM 2 A2 MMY 2 UaLCH o] 2

A 1429l ASRE O|E2 applyselflearningnodeLICE D = XA 2lg]
[0]X]9] [Islrmnode EAJ |8 AZTSIMAIL.

HEE P59 o

E 180. applyselflearningnode S4.

applyselflearningnode §4 ok £ M9

max_predictions number

randomization number

scoring_random_seed number

sort ascending A1 = AN ATOE 2= HQO| HEZ EA
descending =X EE X|™gtL|Ct.

model_reliability flag MY HolM 2™ M2z SHE nEfgch

applysequencenode £

NEA DHR LEE AIZSI0l AlBA BY 4 MHY & YL o 2 L9 A3 o

B2 applysequencenode(LICt. O] 2 42]9] LIE E42 EMOA| ELILE 22 == K49l A

Lo chet XtMgt HEE 57 HO[X[2] Isequencenode E4J & EZSHMAIL.

applysvmnode §4

SVM 2Y2 LS AZ3HE SVM DY 14212 M3 4 ALC 0f 2Y 12l A3 0|3

2 applysomnodeQLICH. RHY L= XH|o] A0 et XiMleh HE = P64 HO[X[S] Tsvmnodef

Edile azsiie.

® 181. applysvmnode E4.

applysvmnode E4 o Ed 49
all_probabilities flag
calculate_raw_propensities flag
calculate_adjusted_propensities flag
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applystpnode §4

STP BYY LCE ALSSI0 HBE BY LS
£HZ HA[SLCL o] 2 14219l AAREl 0|2 applystpnodeRLICH. 22
glojl chst XMt BE = 60 HO[X|] Tstpnode S4J [ EXGHIAIL.

0 oz

g2+ A=t o] HA2 &8 RO 22
E RpHO] A3

=1
=

H 182. applystpnode E4

applystpnode §4 olo|e] |3 EM MW
uncertainty factor 22 | Agk 0, 2[CHgf 100.

applytcmnode §4

AlZt 9ot DRSHTCM) 2R LEE ARRSIH TCM ZE 4218 MME 4 &Lt o] 2 |
29| AZRE 0|22 applytcmmodedLICH, DU == XpHle] A3ZE0| Cigt XISt M2 b
MO|X[9] Ttemnode EAMJ [ HZESHUAIL.

T 183. applytcmnode 548

applytcmnode 4 F EM MO
ext_future boolean

ext_future_num integer

noise_res boolean

conf_limits boolean

target_fields list

target_series list

applyts EM
ANAE 2 TEE MBI AAE 2 HAg MHY = JASLICE of 2 2ol ATE
'6I'_|- X

applytsALICH DR L= XMl AR

= IE 0
=} XtMet MEE= De9 HO[X[O] Tis EMy 2
XERSHAIA Q.

D

H 184. applyts E4

applyts EAM o Ed dd
extend_records_into_future 22

ext_future_num integer
compute_future_values_input ]

forecastperiods integer

noise_res boolean

conf_Timits boolean

target_fields list

target_series list

includeTargets field
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ANAZE 22 =5 AEsIH AAE 22 Has dY tool 22 4219l A3EE o
E2 applytimeseriesnodedLICt. RHE == X9 AFEEO| CHet XpAet FE= 274 H0[X]2

o
[ Ftimeseriesnode EA(H 0|A& AFEX] g3)) & EHZESHUAIRL.

L
o
©
o>
=
o

H 185. applytimeseriesnode EM.

applytimeseriesnode £4 o E4 49
calculate_conf flag
calculate_residuals flag

applytreeas §4
Tree-AS 22 L EE ALESI0 Tree-AS 2 LIS HdY = JASLICHL O 2 H2le A3EE

4 A

=
O|E2 applytreenasULICt. DHY = XtH|o] AFZEO| CHet XtMIst BEE 76 HO[X|Q|  [treeas
SEXCESIN =N

H 186. applytreeas 5

applytreeas £ o Ed 49
calculate_conf flag 0] Ed0ll= WHE E2[0Me M2|E Aol
HOHELICH
display_rule_id flag 2t B EY XAE = EHO|ld =0 Cist D2
HAsts ATOE &Hol| HEE FIteLCHL
enable_sql_generation udf AER ¥ F0f SQL ¥d M2 HHSI=
native ol AFERLICE CIO|HHO|AR ZEA|EMSID

SPSS Modeler Server 2AZHZ HHEE A=
5t AT -SIHLHAZ O™ O{HE 7 AX|=
olo|EH|o] A0 HBE ZSR) SPSS Modeler F
oM ABORT S MEHSHHAIR.

applytwostepnode §%4
O|EHA HEZ LES AE3I0 O|ttA| 2 H2lE Mdy &=
=2 applytwostepnodedL|Ct. O] 2H 429 CHE EH2 EXdt

= ot
=] LS .
Ao et XtMet Me= 78 TO[X[S] [twostepnode S4J [g HZESHUAIR

Ay
C
o
o
H

I}
-
N
o
[>
|4
1t}
om
o

Ho14 2 42 = EN 297



applytwostepAS EM

O|EtAl AS RHZ LEE AE5t0] O|EHA AS 2 H2lE HHe = ALt of 2H {29 A3
e 0|2 applytwostepASYULICE. BEZ = XtH|o] AR CHSE KMot FE =
[ FtwostepAS E41 [ EZsHUAIL.

H 187. applytwostepAS EH

applytwostepAS S4 o E4 49
enable_sql_generation udf AEZ MWl =0 SQL MM SMS MHSH=
native O At2eiL|Ch HIO|E{H|O| A0 EA|EHS T

SPSS® Modeler Server AT Z O{HE{E At
25104 AT-SIHLHAT O™ O{RIE 7} AX|
El oo|E{H|o| A0 HEE HL) SPSS Modeler
oM AZOHSH= SMO| JUSLICH

7|22t udfYLiCh

AT

applyxgboosttreenode 4

XGBoost Tree =5 A2 XGBoost Tree 22 LHZAS MAHY 4 JUELICEH O] 2 L4219 A
SEE OIE2 applyxgboosttreenodeLICH. O] 2H LH2I2| CHE E42 ZEXSHA| gtgLItt HEY =
E XiHlel A3EEo| et XiMist MEE 363 HO[X[Q]  [xgboosttreenode S4J [ A ESHIAIL.

applyxgboostlinearnode §%4

XGBoost Linear '=EE AF23t0d XGBoost Linear 22 218 MM £ UELICL o] 2 14219
AARE O|F2 applyxgboostlinearnodedLICH. O] 2 429 CHE EH2 EXSHX| @i&LICH 2
g T XpHel AL st XtMst MEE 362 HO[X[S] Txgboostlinearnode E4J |8 & =3}
AlA|Q

[=| .
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H 15 &= HO|EjHjo|A mEI2l L= EM

<

IBM SPSS Modeler®l| A= Microsoft SQL Server Analysis Services, Oracle Data Mining, % IB
Netezza® Analytics S2| ClIO|E{H[0]A HIEO|A AtE JHsPH CO[H Otold % ZEZ =1t S
2 XLt 2571 IBM SPSS Modeler OHE2[A|0|M QtoflM HBE= 7|2 HO|EH|0]A 2na|
52 A8%t0 RHE Y B ATEY o JFLICH ED 0] HojM HES= EHE MESHH A
3ZE g

- o=
= Sofi HIO|EH|o|A RS Ay 3! =&Y £ AFLIC

-

o2 %01 CtE AIEE YHE2 [BM SPSS Modeler AT EE! QIE{HO|AE A5 Microsoft
|

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server name", 'localhost')
msbuilder.setPropertyValue("analysis_database name", 'TESTDB')
mshuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
mshuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique _field", 'IDX')
msbuilder.setPropertyValue("custom fields", True)
msbuilder.setPropertyValue("model name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, mshuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.1inkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql_generate", True)

tablenode.run([])

Microsoft BH2l0]| Cist = EAM

Microsoft 222l L= EM
ZE EN

oo =

Ct

gjo

EMdE Microsoft HIO|EH|O|A BHZ Lo SEXMQULICE

¥ 188. 38 Microsoft == EM

2 E Microsoft £E EM Zt EN MY
analysis_database name string 2M MH|A O|O|E{H|0|AQ] 0|2
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E 188. 35 Microsoft == 54 (Al%)

25 Microsoft == EM o £d 4Y

analysis_server name string 24 MH|A SAEQ| 0|8,

use_transactional_data flag U HO|E7I H ¥4 = EUMHM HARIX| R E X|H
gLt

inputs list H g4 OojHo| ozt 3 TE,

target field Ol& ZEMS & £ ARA 2 Lo HER X &8).

unique_field field 7] HE.

msas_parameters structured ¢naE B4 KMt MEE 301 Ho[X|9] guz|E o
=1 Pl LIS EXIHYAL.

with_drillthrough flag AR M8 3

MS S[AMEE EZ|

mstreenode Y| =0 CHsH Molx|=

ENS HESHIAIL.
MS =%st

msclusternode

Microsoft EM8Z &=x

MS &zt 73

|.A|A|9

the =3 54

H 189. msassocnode £

w9 Lo el FolE=

m
0

glELICt of 2o AXo Rl= 38

E4d0| gLt

O| msassocnode R&2| =EO| AM2 7tsELICE

Of Ho| Azt

Microsoft

M- O o

msassocnode S H EM MO
id_field field Hio[E{e| 2t EMAMMNS AFELCh
trans_inputs list EMMM Clojee 2 HEQL|D
transactional target field olF HE(EMMY Oo|H).

MS Naive Bayes

msbayesnode F&2| =0 CHel Holzl= £

Sy2 HTGHAL.
Ms ¥ =7

msregressionnode &
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dol =of chsl Fal=l= &

Microsoft 582 XYL,

H E40| glagLith

40| §lSLICE o] B9l AlZ| A= S8

O] &9l AlZtof

Microsoft

ol Do E
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MS AMZAL

msneuralnetworknode 2| =0 Cisl Ho|z|= EX EM0| YUSLICE O] H| AR U= 3

Microsoft 542 HZSIYUAIL.

ofm

MS ZX[AE 2|#HEY

rr
)]
Om

mslogisticnode Rl L0 CHoll Moxl= EX EM0| YUSLICE O HOl AZY R
Microsoft E82 HZXSIYUAIL.

MS AlAE

mstimeseriesnode 92| 0| CHo| Hok|l= E
Microsoft E8E2 HXSIMUAIL.

o
m
0x
=)
£Q
o>
~
il
=)

ol Azl 9

rr
Ok
ofm

MS AlEA 2E

Cte EX EM0| mssequenceclusternode S| =0 A2 JHsELICE

H 190. mssequenceclusternode 54

mssequenceclusternode £A o EYd 49

id_field field ClolE{el 2t EMIMMZS AlHetL|Ct

input_fields list EM™M OojEe ™ HEQLIC

sequence_field field XA AEXLICH

target_field field Ol ZE(E g4 HolH).

YmE|E 24

Z} Microsoft CIIOJE{H|O]A HE QW2 msas parameters SEM42 AtEsto] MEE 4 = EF E
+E #1 JAGLICH of:

stream = modeler.script.stream()

msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas_parameters", [["MAXIMUM INPUT ATTRIBUTES", 255],
["MAXIMUM OUTPUT_ATTRIBUTES", 255]])

0|F 2= SQL ServerO|A DHAEILICE Zb LE0f CHet 21 E5 HE{H OS2 +ASHAIL.
A0 BIX|SIHA2.

1. OO[HHO|A AA LEE H

2. CIO[HHO|A AA LEE YA,

3. OO|E AA EE CIR SE0M RFET 2AAE MEGHYAIR

4. H|o|& 0|5 OlM |22t HO[ES MESHYAIR

5. Eolg 22510 HIO|EH|0|A AA EEE HOMAIR

6. ol EMZ LIESI2 = Microsoft HIO|E{H[O]A RHZ LEE AHZASIHAR
7. CIO|EH[O]A ZEE HHAR

8. TEII M MEHSIHAIR

H 15 Z ojo|Ejo|A 2EY L= E4 301




O] =0f CHet A2 7H5%t msas_parameters =

Microsoft 2 & {2l EM

Of HA|IELICY.

S E42 Microsoft H|O|E{H|0|A ZHE £ A2%te ZHdE= 2E HAS flet AYLC

MS o[AZ2E EZ|

E 191. MS AEH E2| Y

applymstreenode £ i Ad

analysis_database name string O LE= AERNM 2 ARG J|IRE = JUFLICH
0| E42 24 MH|A O|O|E{H|0|AS| O|ES AlHSl= O
ArgerLct.

analysis_server_name string 2M MH SAEQ| 0|8,

datasource string SQL Server ODBC 0|5 &A O|F(DSN)2| O|E.

sql_generate flag SQL Mg JtsstA guct

MS ¥ 2|7

¥ 192. MS M¥ 2|7 &4

applymsregressionnode EA 4 g

analysis_database name string O tE= AEROM &Y AFT0 7|52 & UGLICH
o] 42 24 MH|A C|O|E{H|0|A2] 0|ES AlEst=
ArgetL|ct

analysis_server name string 24 MH SAEQ| 0f

Ms MZ3Y

H 193. MS AMEY EH

applymsneuralnetworknode S4 o Mg

analysis_database name string 0] LEE AEZON 2™ AZ0 7|22 £ JAGLICH
0] E42 24 MH|A CO|E{H|0|AL| O|ES AlHSl=
ALt

analysis_server_name string =4 M| 2 AEQ| 0|8,

MS ZX|AE 2|FEAM

T 194 MS 2X|AE 3EM EN

applymslogisticnode EA o g

analysis_database_name string O] cE= AERIOIM 2H 230 7|8E =+ UFLICL
0| E42 &4 MH|A CO|E{H|0|AL| 0|ES AlHSl=
AFE LT

analysis_server_name string 24 M ZAEQ| 0|8
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MS AlAE

H 195 MS AAE EH

applymstimeseriesnode £ o Ad

analysis_database_name string Of == AEZM ZF 230 7|82 £ JASLICL
0| EM2 24 MH|A H|O[E{H|0] AL O|EE AESH= Ol
Abggtct

analysis_server_name string 24 M ZAEQ| 0|8

start_from new_prediction ojef olE £ SIAEER] OFS X EE XFEYLICH

historical_

prediction
new_step number oz ollZS et AIE AlZh 712t FolgtL|ct.
historical_step number S|AEZ| oE0f| CHet AIZH A2 7|2He "ogtLCt
end_step number o|E0il st T2 AlZE J[2tE FeolghLlct
MS AEA ZH
H 196. MS AL 2H 54
applymssequenceclusternode £ 3 g
analysis_database_name string 0] LE= AERIOIM 2H AT J|EE = UFLICL
0] E82 24 MH|A HO|E{H|0|AS] O|FE AlHSH= O
A8t
analysis_server_name string 24 M ZAEQ| 0|5,

Oracle BH2e| = EM

Oracle 222! C EM

Ct2 EM2 Oracle HIO|E{H|O|A ZEIZ

H 197. 38 Oracle =E §4.

2E Oracle E E4 o £4 &Y

target field

inputs uc =8

partition field DU Mo =, AF™ 3 Chst HHAE el EEo
HECO= H0|HE 2gdt= Ol AH83t= EEYLICHL

datasource

username

password

epassword

use_model_name flag

model_name string M 2EO| AMZXL He| o] S LIC.

use_partitioned_data flag OEM HEJE HolEl 22, o] 882 =3 ME[MY o
O[E{Zt RS XHst= HI MESIEE HFELIC.

A 15 & ciojeuojA =HE L= £4 303



H 197. 35 Oracle =E EYN ().

ZE Oracle = EA o Ed 49

unique_field field

auto_data_prep flag Oracle A= CIO|E ZH| 7|58 A8 E= A8 ¢ete
2 HEYLICH11g CIO|E{H|O| AT sHEh).

costs structured L2 Aol X3t E4:
[[drugA drugB 1.5] [drugA drugC 2.11]1, O47IAM []2
QlE= A o HISLICH

mode Simple HE LE EMUM HBEEl=E WM, SimpleE HAE =

Expert 242 EF £40| RAFZE FLCHL

use_prediction_probability flag

prediction_probability string

use_prediction_set flag

Oracle Naive Bayes

LIS £42 oranbnode RS =0 AHE JtSELICH
H 198. oranbnode £
oranbnode E4 ot E4 4¥
singleton_threshold number 0.0-1.0*
pairwise_threshold number 0.0-1.0*
priors Data
Equal
Custom
custom priors structured O Aol Lzt E4:
set :oranbnode.custom priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* mode”t SimpleZ HEEH £40| RAELIC

b5 K=Xoy |
S o

Oracle H|Oo| A

CS EAM2 oraabnnode

R =0 A8 ZhSELICH

E 199. oraabnnode £
oraabnnode £4 ZI £4 49
model_type SingleFeature
MultiFeature
NaiveBayes
use_execution_time_Tlimit flag *
execution_time limit integer 22 0ELCH HOof BfL|Cts
max_naive_bayes_predictors integer W2 0ELC} 7O gL|Ctx
max_predictors integer W2 02LCh 7o BL|Chr
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H 199. oraabnnode 4 (H%)

oraabnnode §4 o EM MY
priors Data
Equal
Custom
custom priors structured Chg 2Alel xst E4:
set :oraabnnode.custom priors = [[drugA 1] [drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* mode”t SimpleZ HEEH E40| FAELIC

Oracle X|& HIE{

ct

Ol

EME orasvmnode §&2

H 200. orasvmnode EM

| =20 ALE 7t

L{Ct.

orasvmnode S4 o £4 429
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

minmax

none
kernel_cache_size integer Gaussian kernel?t SHBLICE 22 0

HCH 7HoF ghLChx

convergence_tolerance number W2 0=LCH 7o eLCh*
use_standard_deviation flag Gaussian kernel2F SH&efL|Ct>
standard_deviation number w2 0=LCH 7of eLCh*
use_epsilon flag o ZHEoE stk
epsilon number w42 0ECH HoF gL|Ch:
use_complexity_factor flag *
complexity_factor number *
use_outlier rate flag 12efA HEoE S| Chr
outlier_rate number 12eiA HEoE SiESL|CL 0.0-1.0*
weights Data

Equal

Custom
custom weights structured Ct2 Aol X3 EM:

set :orasvmnode.custom weights =
[[drugA 1] [drugB 2] [drugC 3] [drugX
4] [drugY 5]]
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* modeZ} SimpleZ2 MAME|H EN

Oracle Ytte} M3

Ct2 EM2 oragimnode 89| =0 A2 7HsEILICE

H 201. oraglmnode 54

Of RA|ELICY.

oraglmnode §4 o EM 49
normalization_method zscore

minmax

none
missing_value_handling ReplaceWithMean

UseCompTleteRecords
use_row_weights flag *
row_weights_field field *
save_row_diagnostics flag *
row_diagnostics_table string *
coefficient_confidence number *
use_reference_category flag *
reference_category string *
ridge_regression Auto *

off

On
parameter_value number *
vif_for_ridge flag *
* mode”t SimpleZ HEEH £40| FAELIC
Oracle 2AHAH Eg|
CtE EME oradecisiontreenode &9 =0 A2 7tsEiLICE
E 202. oradecisiontreenode £
oradecisiontreenode £ ot E4 4dF
use_costs flag
impurity_metric Entropy

Gini
term_max_depth integer 2-20*
term_minpct_node number 0.0-10.0*
term_minpct_split number 0.0-20.0*
term minrec_node integer 242 0ECH #oF FLCt*
term minrec_split integer w2 0ELCH 7{of ghL|Chx
display_rule_ids flag *

* modeZ} SimpleZ2 MHEEH EM0| FA|EL|CE
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Oracle O-Cluster

Ct

0o

EM2 oraoclusternode SO =0 A2 JHsELICE.

¥ 203. oraoclusternode £

oraoclusternode S4 o EM MY
max_num_clusters integer 2 0ELCH 7oF BLCt
max_buffer integer W2 0=LCH 7O gL|Chr
sensitivity number 0.0-1.0*

* modeZt SimpleE MHLH EMO| FA|ELICE
Oracle K-I@+#

ct

dlo

EME2 orakmeansnode S8l =0 A2 JhsELICE

H 204. orakmeansnode £

orakmeansnode S F EM M4
num_clusters integer 2 0=LCH 7{OF gLt
normalization_method zscore
minmax
none
distance_function Euclidean
Cosine
iterations integer 0-20x
conv_tolerance number 0.0-0.5*
split_criterion Variance 7|123t2 VarianceQJL|CH*
Size
num_bins integer W2 0=ELCH 7O gL Cr
block_growth integer 1-5%
min_pct_attr_support number 0.0-1.0¥

* modeZl SimpleZ HAME[H EM0| FA|ELICH
Oracle NMF

c}

ajo

EME oranmfnode S 0| A JHsEHLICE

® 205. oranmfnode S4

oranmfnode £4 Z EM MO
normalization_method minmax

none
use_num_features flag *

H 15 & ClO|EH[o|A RAY L= Y
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® 205. oranmfnode £ (HlZ)

oranmfnode 54 o £4 49

num_features integer 0-1. 7|2¢t2 Lna|E0 o8l Clo|H=2E FHELC
*

random_seed number *

num_iterations integer 0-500*

conv_tolerance number 0.0-0.5*

display_all_features flag *

* modeZt SimpleZ HFEH EH0| FA[ELICE
Oracle Apriori

Ct

0o
m

M2 oraapriorinode SO =0 AF2 JHsELICEH

H 206. oraapriorinode S

oraapriorinode 4 o EM 4dd
content_field field

id_field field

max_rule_length integer 2-20.
min_confidence number 0.0-1.0.
min_support number 0.0-1.0.
use_transactional_data flag

Oracle %2 d™ ZIO[(MDL)

oramdlnode F¥2| =0 CHol Holkl= EFH EXM0|
EME HZTSHUAIR.

£Q

SLICE O] Zo AlEo| U= & Oracle

Oracle £d ZQ2X(Al)

Ct

gjo
m

ME oraainode 8o LE0| A JtsEhL|CE

# 207. oraainode £4

oraainode EA o E4 49

custom_fields flag True?! 29 X =0 CHS SE, = 3 J|Ef HE
£ X™g £ USLICL FalseQl ZS YAEZ Q¥
| o) A

of ¢ H¥E AISYLICH

selection_mode Importancelevel
ImportanceValue
TopN
select_important flag selection_mode?t ImportancelevelZ2 HFE mf, £&
ZE ME RS XFguCh
important_label string "2t =2[0f gt 20|E2 XFHLIC
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H 207. oraainode E4 (A%)

oraainode £4 A £4 4%

select_marginal flag selection_mode?} ImportancelevelZ2 HX¥E M, &
e MEf 25 XFgLCh

marginal_label string "HE" &2/o gt 2o|ES X|FeL/ch

important_above number 0.0-1.0.

select_unimportant flag selection_modeZt ImportancelLevel 2 MEE M, F&
SIX| e mWE MEf o{2Z X|&SHL|C

unimportant_label string "EROHA| 42" =2lol et 20|22 X|FgLIC

unimportant_below number 0.0-1.0.

importance_value number selection_mode?t ImportanceValueZ2 HHEE W, A
g A S XIEYLICH 0RE 1007HX[9] 2 SUE
Lict.

top_n number selection_mode7t TopNOZ MEE m, AISE HAL 3
£ XI™HELICE 00 MEE] 10007HX19 2te SQlRtLCh.

Oracle 2% {3l E4

CtE S42 Oracle ZEE AL EdE= H2lE fIgh AYLCt

Oracle Naive Bayes

applyoranbnode f&2| =0 CHsH HMol=|= EM0| ELICE

Oracle M3¥ H|0|A

applyoraabnnode R&2| =0 CHs{ o= E40| gisLICt

Oracle X2 HE{ Hl

applyorasvmnode 92| =0 s HolE= EF E40| g&LICt

Oracle 2JAHEH EZ|

CtS EM42 applyoradecisiontreenode &2 =0 AL JHsELICE

H 208. applyoradecisiontreenode 58

applyoradecisiontreenode S o EM MH

use_costs flag

display_rule_ids flag

Oracle O-Cluster

applyoraoclusternode |2l =0 CHsH Hol=l= EXF EH0| gi&LICH
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Oracle K-H+#

L

applyorakmeansnode 9&2| =0 CHsH Hol=l= X EM0| gi&LIC
Oracle NMF

CtE S S40| applyoranmfnode R =0 AL JHsELIC

B 209. applyoranmfnode S

Am
0x
nx
08

applyoranmfnode E4 at

display_all_features flag

Oracle Apriori

of 2 2 AFEENM HEEH = FASLICH

4>

Oracle MDL

of 2 22 A3RYNM HEE + YSLIC

IBM Netezza Analytics REzlo| L= EM

Netezza Y2 = EM
C2 EAM2 IBM Netezza C|O|E{H|O|A REZ] =0 2EXQIL|CY

H 210. 25 Netezza == EN.

3E Netezza E EA 7t EN N
custom_fields flag True?! 22 X LEO| Ciet =8, &™ % J|Et HEE X
HAEZY Y Lo dixy

HES A8ELIT

inputs [field1 ... fieldN] DHEM AT 23 e olFHs TEQL|Ch

target field SH HE(USY = HFY).

record_id field 1R HIE AEXZE AZY HEQLUCH

use_upstream connection flag True(Z|2ah2l 22, YAEZ =0 XFHE HE MEAY
ILIC}. move data_to_connectionO| X|HEH AESHK| 9
&Lich

move_data_connection flag True®! &< connectionOf 23l X|FEl C|O|E{H|0|AZ

O|E{E O|STtLICE. use upstream connectionO| X|IHEH At
8K b&LICH
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H 210. 25 Netezza =E EN (A%).

BE Netezza E EA 7t EN Mo
connection structured DHO0| MEE|= Netezza HIO|E{H|O|A0| Ciot HE Xt
YULICH CHS YAl9] X3 EM:
['odbc' '<dsn>' '<username>' '<psw>' '<catname>'
'<conn_attribs>' [true|false]]
o71M,
<dsn>2 H|O|H &2 OIF
<username> % <psw>= O|O|E{H|O[ A0 CHEt AHEX} O|F S
HIZHS
<catname>2 7IEE1 0|5
<conn_attribs>= HZ &4
true | falses H|ZHSII LQTIX| IRE EA|ELICE
table_name string DHO| MEE oo|EHo]A EO|E2 O|SRLIC
use_model name flag TrueQ! Z2 22O 0|E2E model_namedi| 2[sf X[™El O]
g, J™X| o™ ZHE 0|F0| A|ARIO o ZMELICE
model_name string M ZEO| AFEXL "ol o|ELICE
include_input_fields flag ,

True@! 3¢ ZE ¢ ZES U2AER WESHR, O
o u]

=]
O™ precord id L ZEO|

Netezza 2|AIEHAE Eg|

Ct2 EME netezzadectreenode 82| =0 AM2 JHsELICE

H 211. netezzadectreenode S8

netezzadectreenode 4 % £4 29

impurity measure Entropy EZ|E 29Y A4 HAE HItst=

Gini o Ar8ste E2xkol ZFULICH

max_tree_depth integer Egt 48 = U= 2 & U
Ch 71232 62(2Ith ZtszhLIct

min_improvement_splits number 20| Hdld SOl A JHMZL
Ch 71282 0.01QLIE

min_instances_split integer 20| HaE = 7| do| H2 2EH
X 2 EA HIE HYULICH 7|2EU2
2(%| & THsahH™ALICH

weights structured SaAo0] cist Aozt ZHEX|LICE Ct
= YA X% EM:
set :netezza_dectree.weights =
[[drugA 0.3][drugB 0.6]]
71232 BE ZHA0l sl 12 IHEK
Lt

pruning_measure Acc 7|28 Acc(H&T)ULICE MEHE wAce

wAcc (7t8 H=E)= JHXX[7|E H8Ste B

of A JtEge oL Cch
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EM
=

(A%)

H 211. netezzadectreenode

netezzadectreenode £

7k
BA

M
=

oZ

Aim

prune_tree_options

allTrainingData

useOtherTable

partitionTrainingData

22 allTrainingDataS A2t
HorE Hotst= AYLICH
partitionTrainingDataS AM2SI0| AtS
g =3 Oo|Ee HMEE X|FSHHLY,
useOtherTable2 AtEst0] X|HE O
E{H|o]A HIO|E2 =& O|O|H NMEE
AHESHAIR.

ruE rHI 0x

b X

perc_training_data

number

prune_tree optionsZt
partitionTrainingData® MHEl= AL
0| AH8Y Co|Ee HMEE K™Y
LIC

\

prune_seed

integer

prune_tree_optionsZ}
partitionTrainingData® MEE mj 2
o 20t S0 AEE e Al=YLCh
7|22 19 et

= HA

pruning_table

string

29 YT BIIE 9 "ol XA

7| HIOIH MEQ| H|O|E O|SYLILY.

compute_probabilities

flag

il E(ZE)E OfLI2t of

Netezza K-H

Ct

ajo

EX
=

19
o=

¥ 212. netezzakmeansnode SN

netezzakmeansnode §&9 =0 A

7tsELn.

netezzakmeansnode £ ot £d 4d¥
distance measure Euclidean CIOIEf & Atolo] Hz2| ZFo| At8g LT
Manhattan
Canberra
maximum
num_clusters integer AHEE 28 #0|H, 7|2gt2 3Lct
max_iterations integer O Foll 2 =g SXY dn2E gE=Eo ~0|H, 7|2t
2 5eLCh
rand_seed integer 24 2 =H0| AFBY e AE0|H, 7282 123459
LICh

Netezza Bayes Net

LS E42 netezzabayesnode R LEO| AL JHsELICE

H 213. netezzabayesnode S8

netezzabayesnode £ o EM 4d

base_index integer LR 22|E eet A tin 2 Heo| XFE =Xt AER}
o|H, 7|=gt2 777LICt
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H 213. netezzabayesnode 54 (%)
netezzabayesnode £ 1y EM MY
sample_size integer &4 71 0 2 E2 g Z2o IT|YLC T2
10,0004 LI
display_additional_information flag True®! ZS HIAIX| CHSF MXf0| 7t THE FHE EAY
Lot
type_of prediction best ALY ofF 22|Ee RYSE, best(7HE MTE 0|2 T
neighbors ), neighbors(0|2 &=2| 7}F 0|X) E& nn-neigh-
nn-neighbors bors(2 0|2 ¥=0| o) LICt.
Netezza Naive Bayes
C2 EME netezzanaivebayesnode R L E0| AR JtsELICE
H 214. netezzanaivebayesnode S
netezzanaivebayesnode £ 1y EM MY
compute_probabilities flag True@! 22 M2|+F=HE)E ofL2t oF HEE Mg
ct.
use_m_estimation flag True@! Z2 =F 30| 02t HES TSI /Y m-es-
timation 7|H& AtS"LICH
Netezza KNN
LS SM42 netezzaknnnode R =0 AHE JHsELICH
H 215. netezzaknnnode -8
netezzaknnnode S4 ot 54 &89
weights structured W Ao JHEE XESHs ol AM8Ste A% Ed
ULICh off:
set :netezzaknnnode.weights = [[drugA 0.3] [drugB 0.6]]
distance measure Euclidean CIOlEf & Atolo] He2| HFof| Ar8g HHALICE
Manhattan
Canberra
Maximum
num_nearest_neighbors integer EF Zo|A0 oiet 22 0|2 2N, 7|22 LT
standardize_measurements flag True@! 2 72| g2 AlLSH| Mo A4 = "o of
ot ZdE FEIfRLC
use_coresets flag True?! 2% 0| ME EEFES AE5I0 2 H0|E ME
ol CHet Aitg 7h&ateti|ct

H 15 & CloJEHlojA 2

(= =3
42 b

=
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=
Netezza 2% =%
Cte EM2 netezzadivclusternode SO =0 A2 JHsELICH
H 216. netezzadivclusternode S8
netezzadivclusternode 4 4 EM MY
distance measure Euclidean CIOIEf & Atolo] He2| HFo| At8g LT
Manhattan
Canberra
Maximum
max_iterations integer 2 20| FXISH7| ©ol| +HY Ldne|E gtEo| Ao &
O|H, 7|22f2 5YLICh
max_tree_depth integer ColE] MEZ AR2FE & A 2 & 0|0, 7|2a2
3QLICH
rand_seed integer 242 M5k Ol A8dh= e MEE, 7|2%2 12345
LT
min_instances_split integer 2dE = A= A YRE R, 7|22 SYULICH
Tevel integer HAEI AT0 XHEY AHS £FCZ, 7|27 1LCL

Netezza PCA

CtS EME2 netezzapcanode RS9l =0 A2 JHsELICH

H 217. netezzapcanode S8

netezzapcanode E4 Z EM 49

center_data flag True(Z|28h)2 22 &M Tof Hloe MEZ(HD w0
2 ghe sHYLICH

perform_data_scaling flag True?! &% 24 Mo Hlo|H Hig =FE ™ALL 2
A st CHE #M4op O E EXoM EFE o 242 2
OOz BtE o USLICH

force_eigensolve flag True°| 22 FHES = FHH2 HOXIXg o wE &

2 AZgLCh
pc_number integer I:‘||0|E1 MEZ} 2 FHEE 0|0, J[2¢2 1Lk

Netezza 2|7 &AM Ez|

CtS EME netezzaregtreenode R =0 AL JHsEILICE

H 218. netezzaregtreenode 54

netezzaregtreenode £ Z EM MY

max_tree_depth integer Eg7t RE LT ofzfofA HEE £
= Ao & 0|, 7|23t2 10LIC,

split_evaluation_measure Variance EgE BEY o HAE HWIE=
ol Ar8dt= 2aA Eak JZ0|H, 7|
B A g3t SM)2 varianced
Lt
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H 218. netezzaregtreenode 54 (Hl%)

netezzaregtreenode £ & EM 49
min_improvement splits number M 2¢0| EgloM ZHET] Hof| 2&
EE Y HAZALIC

min_instances_split integer 2gE = A= A HIE HYLC
pruning_measure mse ZEXIX|Z[0f AtEE Hhlu|ct

r2

pearson

spearman

prune_tree_options

allTrainingData
partitionTrainingData

useOtherTable

7|22t2 allTrainingData® AM23HH
2 M- E Hotste A/LICH
partitionTrainingDataS At2ot0] AtE
g =3 dlo|gel HMEE X|FstHL,
useOtherTableg AMEst0] X|FE 0]
E{tlo|A E|o|E9 =& HIo|H MEE
AHBBHIAIL.

perc_training_data

number

prune_tree_options?t PercTrainingData
2 d¥E= 32, 280 A8 HolH
o HUEES X|ZELICh

prune_seed

integer

prune_tree optionsZt PercTrainingData
E HdFE o 2o ZAu SHof A8

th AIEQLICE T[22 1T

pruning_table

string

2 T WIS 93t B JHRA
7| Blole] MIE] Efolg olSelLict.

compute_probabilities

flag

True®! 22 XIHE Ze2jAol 2At0| &
Hof| Zate|ojof &2 XIFELICE

Netezza MH 3|9

ct

Olo

H 219. netezzalineregressionnode =

E M
= o

EME netezzalineregressionnode &2 =0 AHE JtsELCE

netezzalineregressionnode S

use_svd

|
+
>+
o
ot
H'|
iy
4o

|8 2l Xt

include_intercept

=
£549 T FeE sELUCL

calculate_model_diagnostics

7t EAM
=]
flag True?!
flag True(?|
flag True

Netezza A|AIE

LIS EM2 netezzatimeseriesnode RQ| L0 AL JHSEILICEH

H 220. netezzatimeseriesnode S

netezzatimeseriesnode £ s EM MY
time_points field NAGS Em = A7 2te Z8ste
lad ZeQlL|ct
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ENM
o

H 220. netezzatimeseriesnode

(A1)

netezzatimeseriesnode £4 44 £4 4¥
time_series_ids field ANAE IDE Zedt= 3 HEZM, ¢
Ho| & O|M9 AAEE EES= BR
ol ASSfLIC.
model_table field Netezza A|A|¥ 20| MEE|= C0|H
HOo|A EH|O|E2| O|FRILICE
description_table field ANAZE 0| & 23 Eest= 2 |
O|22| o|E|LICt
seasonal_adjustment table field Xme e AEHE M 2o 2oz
B0 ofsf AbtEl= AFEHo=E ZFE
40| MEE= =3 Ho|E2 o|SLICt
algorithm_name SpectralAnalysis EE= spectral AAE 2R AHESH= 2n2|EYL
ExponentialSmoothing S esmoothing | Ct.
ARIMA
SeasonalTrendDecomposition & std
trend_name N X=Heol =M RE:
A - S8
DA A- 7t
M DA - TEZA 7t
DM M- SY
DM - ZIZHA &Y
seasonality type N X|meo oot A=™Y /9.
A N - S
A - 7Y
M- SH
interpolation_method Tinear AHSE H7HH il
cubicspline
exponentialspline
timerange_setting SD Ab8e AlZh He| 4F:
SP SD - AJAR EHHA[AE C|OE{Q] FA|
He| AL
SP - earliest_time 3! latest timeZ
Set AL X|H™
earliest_time integer timerange_settingO| SP2l 2 A|ZH 8
Jatest_time date S8 UYL
time YAI2 time_points {2 [2fof BfL|CH
timestamp OlE E0{ time points ZE7t EWME
TotstH O|Ax: EWmodof gL Ct.
ofl:
set NZ_DT1l.timerange_setting = 'SP’
set NZ_DTl.earliest_time =
'1921-01-01"
set NZ_DTl.latest time =
'2121-01-01"
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H 220. netezzatimeseriesnode SN (H%)

netezzatimeseriesnode £4 &% £d 4Y
arima_setting SD ARIMA 112|F9 MH
sp (algorithm nameO| ARIMAZ MHEl HL
ok AHE):

SD - A|AHE EHE

SP - AHEX XF

arima_setting = SPQl AL Ctg 2
£ A8t A" 9 HIAE ¢S 2Fot
HAIL. oi(HIAZED oiE):

set NZ_DTl.algorithm name = 'arima’
set NZ_DTl.arima_setting = 'SP’
set NZ_DT1.p_symbol = 'Tesseq'

set NZ_DTl.p = '4'

set NZ_DT1.d_symbol = 'lesseq'

set NZ_DTl.d = '2'

set NZ_DT1l.q_symbol = 'lesseq'

set NZ_DTl.q = '4'

p_symbol Tess ARIMA - p, d, q, sp, sd, sq 24=0f CH
d_symbol eq of HLMXE:
q_symbo] ]esseq less - [:|||:||_|'
eq - &3
sp_symbol N
lesseq - O[S}
sd_symbol
sq_symbo]l
p integer ARIMA - X}7|&r2to] H|AE Xtz
q integer ARIMA - H|AZE o 2L
d integer ARIMA - 220N 0|5 B =XM2| H
AR Hz,
sp integer ARIMA - Xp7|&t2te] AZ Kbz
sq integer ARIMA - A& 1o gt
sd integer ARIMA - 220N 0|5 Bz =Mo| A
A ¥z
advanced_setting SD g A% M2 gHS mEeLch
SP SD - A|AE T
SP - period, units_period %!
forecast_setting=2 %+ AMEXt XIH.
ofl:
set NZ_DTl.advanced_setting = 'SP'
set NZ_DTl.period = 5
set NZ_DTl.units_period = 'd'
period integer units_period?t 7 XF== AE

M

sto ZolglLith, AHE 2o

8E|X| g&LIC
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o

H 220. netezzatimeseriesnode

(A1)

netezzatimeseriesnode £4 o £4 4¥
units_period ms period?t Eolk|E= Ere[RL|CH
s ms - YF[E
min s - =
h min - 2
d - Azt
wk d -«
wk - =
y q- =7
y-4d
OIE &0, &H A|AES ES periodd

Chet 1, um’ts_periodoﬂ CHell wkE ALE
SHYAIR.

forecast_setting

forecasthorizon

oil=ghol HyEls WHE XFYYLICH

forecasttimes
forecast_horizon integer forecast_setting = forecasthorizon?!
date 2 AAE 2Mo EFE XEELICL
time A2 time_points @fS [H2tof SfLICE
timestamp OlE E0{ time points ZEJt IWME
ZolstH O|UE EMO{OF L|ch
forecast_times integer forecast_setting = forecasttimes@! &
date 2 OB Zgol A8 Y S XL
time C.
timestamp A2 time_points @fS [H2tof SfLICE.
OlE E0] time_points ZEJI EWE
ZootH o= EMO{of gL|Ct.
include_history flag S|AEZ| gio] E0| ZE|=X RS
EAIE“—IEF.
include interpolated values flag HZHEl gro| &80 Xy =X 0] E

HEAIBLICE include_historyZt false@!
ZR0le MEEX| 4&LICH

- 1o (k=]

Netezza 2ts} MY
Ct2 EME netezzaglmnode 9| =0 AR 7HsEiLICH
B 221. netezzaglmnode -8
netezzagimnode M o EM 49
dist_family bernoulli 22X FYO|H, 71272 bernoul iYL
gaussian Ct.
poisson
negativebinomial
wald
gamma
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H 221. netezzaglmnode

EM

= o

(A1)

netezzaglmnode E4

P43
BA

dist_params

number

Ea ZAALICEH distribution
0| Negativebinomial® ZR0|Zt XM&
7tsELct.

Il
AT

trials

integer

distributionO| Binomial@! Z<0{2t X
g JtsELCL SE B380| Al 0N
2hMlst= O|HIE £ [[H target ZEOf
= O|HIE £7I 50 A1 trials E
o= A" =7t S0 JUSLICL

model_table

field

Netezza 24Htal M ZEO| MEEE=
ClO|E{H[0| A E|O|E2| O|ERILICE

maxit

integer

or—la|x0| oHoI- 7:||:H I:le AOI|_||:_|.
7|23t2 20LICt

T HATC

eps

number

¢na|E0| XN wE 2E AI|IE FX
siof st= At @F (X EI|[HO=Z
ESQULICE 7|22 -39=, 1E-3 £&=

tol

number

0.0012 2|0fgLct.

3 OlstollM 2F7F 09 ZE = A
2 XMe|=e ZH(RIS BI|HoR HH)
LICt. 72342 -78, 1E-7
0.0000001) Of2iel 22 2 F9
Ho=E AEg 2oLt

ret rir EQ [0

CcC
-
u]

Tink_func

identity
inverse
invnegative
invsquare
sqrt
power
oddspower
log

clog
loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom

cannegbinom

Mg HE 240|H, 7|22 Togitd
LT}

link_params

number

H 15 & CloJEHlojA 2
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B 221. netezzaglmnode EH (A%)
netezzaglmnode §4 o EM MY
interaction [colnames1],[levels1]], ZC Atole] MTEEE X|™EL|Ct

—_—

[
[[colnames2],[levels2]],
...,[[colnamesN],[levelsN]],]

o
colnames= U
2t HEof cHel
ofl:

[[["K","BP","SeX","K"] , [0’0’0’0]] ,
[["Age","Na"],[0,0]]]

intercept

flag

true@! 22 EHS HEO| ZEfLch

Netezza 2% L2l EM

Chg E42

Netezza C|O|E{H[O[A Z2E 14710 SSXHULICE

H 222. 35 Netezza 22 47 EY

35 Netezza 22 43l EM ok EM 49

connection string DE0| MAEE Netezza Cl|O|E{H|0| A0 CHEt AZE
EAE LI

table_name string DHO0| M&E CIO|EH|0|A H|O|Z2| O|FLICE

71et 2 1421 EM2 i85t 2T =0 st Ed seLCt

9Y L9 A3EE 0|BL C123 2L

H 223. Netezza B {219] ASZE 0|2

EENEET X33E o=

applynetezzadectreenode

K-E+ applynetezzakmeansnode

Bayes Net applynetezzabayesnode

Naive Bayes applynetezzanaivebayesnode
KNN applynetezzaknnnode

22 =¥ applynetezzadivclusternode
PCA applynetezzapcanode

3HEM EZ applynetezzaregtreenode

NH 39 applynetezzalineregressionnode
AAE applynetezzatimeseriesnode
UHtst My applynetezzaglmnode
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£ LC EM2 02 =C 930 SNT %47 CHELICL 23 LC SN2 53 LC 248 M
St CHAl =3 QEHNEN HXE MEALLICL O|A2 HIO|S0M a8 7IXegtM AER Bz HF
St710f REgLICt
Ol HoM= &3 2o A8 = /= A23EE EHd8 dHSLCL
analysisnode £
2N == Fool o2 MAsty| I3t oz 2ol 53g WWItELICL B LEE Lt ofA
O\ o e L{Zlof chelf of=gtat Al gt Atolel CHYst H|WE HBILICE 3t oF ZES M2
Hlwg 2 JAELICH
of| |
node = stream.create("analysis", "My node")
# "Analysis" tab
node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve accuracy", 3)
node.setPropertyValue("inc_user _measure", True)
# "Define User Measure..."
node.setPropertyValue("user_if", "OTARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by fields", ["Drug"])
# "Output" tab
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full filename", "C:/output/analysis out.html")
H 224. analysisnode 4.
analysisnode £4 Clole /¥ Ed 49
output_mode Screen £y LC=2E MyE= 39| iy
File IXIE XI™ste o AHSRLIC
use_output_name flag AEXE Ho| £HAD 0|89 A of
2E X™FLCt
output_name string use_output_nameO| true®! &2 At
g o|Eg XIFELCt
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H 224. analysisnode S8 (A1)
analysisnode EM ool /% EM MY
output_format Text(.txt) £39| RdE XHMst= d AHEEL
HTML(Jitml) Ct.
Output(.cou)
by fields list
full_filename string ClA3, Hi0|E & HTML &3¢l 2
<, £ Mo o|FYLICh
coincidence flag
performance flag
evaluation_binary flag
confidence flag
threshold number
improve_accuracy number
inc_user_measure flag
user_if expr
user_then expr
user_else expr
user_compute [Mean Sum Min Max SDev]
dataauditnode £4
ClolE HE == 29 SAHE, 2t HEof et SIAETIM 2 ofL[2}f o|Agt, ZX7t, 3¢
Eﬂ“ 2toll o3t M2 merotol ClojE(ol T3t TRl HEES st RMBELIC Ak TA 3]
Jeix g HojE FH| =EE MMEY| s YFSD ABY £ U= | 4R HEE HAEY
ct.
Of| |
filenode = stream.createAt("variablefile", "File", 100, 100)

filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

node

stream.createAt ("dataaudit",

"My node", 196, 100)

stream.1link(filenode, node)

node.
node.
node.
node.
node.
node.
node.
node.
node.
.setPropertyValue("outlier_detection_std_extreme", 3.0)
.setPropertyValue("output_mode",

node
node

322

setPropertyValue("custom _fields", True)
setPropertyValue("fields", ["Age", "Na",
setPropertyValue("display_graphs", True)
setPropertyValue("basic_stats", True)
setPropertyValue("advanced stats", True)
setPropertyValue("median_stats", False)
setPropertyValue("calculate", ["Count",
setPropertyValue("outlier_detection_method",
setPropertyValue("outlier_detection std outlier",

IIKII])

"Breakdown"])
"Std")
1.0)

"Screen")

A3

2lg|
o
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¥ 225. dataauditnode 4.

dataauditnode S4 Clolg |¥ £4 49
custom_fields flag
fields [fieldl ... fieldN]
overlay field
display_graphs flag =3 oM JeiZo| EAE HALE
= o ArEgch
basic_stats flag
advanced_stats flag
median_stats flag
calculate Count AZgg AMst= o AL
Breakdown either, both L= neither A4t EHHS
MEHSHAIR.
outlier detection method std Ol &2t I Lol et &A WHS
iqr X|"ot= ol Arggct
outlier_detection_std outlier number outlier_detection_method?} std?!
3R, o|Mzte Foldt= ol AEdh=
XS XYL
outlier_detection_std_extreme number outlier_detection_method7} std®!
42, AU "HAldt= ol M8st=
ZXE X|FELICL
outTier_detection_iqr_outlier number outlier_detection_method?} iqrel
3R, O|&uE HAdt= ol ME%h=
XS KFELLC
outlier_detection_iqr_extreme number outlier_detection_method7} iqro!
42, AU "oldt= ol M8st=
XS XFELL)
use_output_name flag AZXE He| EHZN 0|59 AE of
28 X™LLICL
output_name string use_output_nameO| true®! Z AL
g 0|82 AIFRLILE
output_mode Screen Y LC=2E MyE= 39| iy
File IXIE XIHSt= ol AEgLCh
output_format Formatted(.tab) 3o f¥s XHst= o AL
Delimited(.csv) Ct.
HTML(html)
Output(.cou)
paginate_output flag output_formatO| HTMLY @ £340| m
OIXIZ2 T&&7 2hSLCt.
Tines_per page number paginate outputdl E7H AT M =
Ho| Ho|XIY & +5 X[FeCh
full_filename string
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extensionoutputnode £%4

2y =3 LEE MESHH HOE 9 AEX 1R2| AREX}
HOl R E= Python for Spark A3EHEE A% ZH A
- o7 ZNE oh &~ USLICHL 24 Huts "HAELL O
BT = JASLICL Bt 22X 2LE £ o 7t
gL, £30| MYz =2 MXEE 2 JAELICH
Python for Spark Ci|X|
#### script example for Python for Spark
import modeler.api
stream = modeler.script.stream()
node = stream.create("extension output", "extension_ output")
node.setPropertyValue("syntax_type", "Python")
python_script = """
import json
import spss.pyspark.runtime
cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()
schema = df.dtypes[:]
print df
nnn
node.setPropertyValue("python_syntax", python script)
R Ol
#### script example for R
node.setPropertyValue("syntax_type", "R")
node.setPropertyValue("r_syntax", "print(modelerData$Age)")
H 226. extensionoutputnode 58
extensionoutputnode A Clole /¥ EMd MY
syntax_type R Mg A3ZE R EE PythonZ Al
Python HSMAIRO| 7122h
r_syntax string DY AF0ES R A3EY AR
python_syntax string 2E AFHEE ?let Python 23
g FELC
convert_flags StringsAndDoubles 21 HEE Hash=s N
LogicalValues
convert_missing flag ZZXUE R NA UE M= ZM
LC.
convert_datetime flag Hu L= "W/AIZE "WAlg deE
+E R EW/AZE HAOR Hesh=
4.
convert_datetime_class POSIXct W EE "HW/AZE AS A= H
POSIXTt +E Hatd dAlg XHoe 34
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H 226. extensionoutputnode S8 (A%)

extensionoutputnode £ ClolE /¥ EM MY
output_to Screen 3 Q¥(Screen = File)2 X|HSt
File AA|2.
output_type Graph Jefjg = HAE £ 4H o2 E
Text X ™MLt
full_filename string MME o A48 I o|EYUL
Ct.
graph_file_type HTML = mAo| oY RYEAULICH . html =
cou = .cou).
text_file_type HTML HAE FHo| MY RAS XIHSHIA
TEXT 2(.html, .txt = .cou).
cou
matrixnode §4
#HE o g HEAlSt= | LICL & 7|= HE Alo|o] EAE HA
St7| sl T SEX|BH, E2f0 ELL X E Alo|9] BAZ BEAY = &L
ct.
ol |
node = stream.create("matrix", "My node")
# "Settings" tab
node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")
node.setPropertyValue("column", "Na")
node.setPropertyValue("cell contents", "Function")
node.setPropertyValue("function field", "Age")
node.setPropertyValue("function”, "Sum")
# "Appearance" tab
node.setPropertyValue("sort_mode", "Ascending")
node.setPropertyValue("highlight top", 1)
node.setPropertyValue("highlight bottom", 5)
node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])
node.setPropertyValue("include_totals", True)
# "Output" tab
node.setPropertyValue("full filename", "C:/output/matrix_output.html")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate output", True)
node.setPropertyValue("lines_per_page", 50)
¥ 227. matrixnode £4.
matrixnode 4 Clole /49 £4 4¥
fields Selected
Flags
Numerics
Ho16 ¥ &3 == 59 325



¥ 227. matrixnode BN (Al%).

matrixnode £ Cloje /¥ Ed 49
row field
column field
include missing values flag AMEX Z2Z(SH) B AAH”H HE(E)
ol & 2 & =Ho| ZTYE =X
2E X™LICH
cell_contents CrossTabs
Function
function_field string
function Sum
Mean
Min
Max
SDev
sort_mode Unsorted
B Ascending
Descending
highlight_top number 00| OL|®H trueRLICt.
highlight_bottom number 00| OfL|™ trueRL|Ct.
display [Counts
Expected
Residuals
RowPct
ColumnPct
TotalPct]
include_totals flag
use_output_name flag AEXL Ho| =HAT 0|9 A of
2E XH™ELICL
output_name string use_output_nameO| true?! 22 A&
g O|§2 XlFgLCt
output_mode Screen =3 LEERE HHEE £ oA
File IXIE X"tz O AHSRLICH
output_format Formatted(.tab) £ Y XFote ol AL
Delimited(.csv) C}. Formatted % Delimited Y& =
HTML(html) Ct 8%t transposedE FE = U=
st o, oA dojeel 3 2 A
ZIL|Ct.
paginate_output flag output_formatO| HTMLY ©H Z={0| H|
OlX|2 F&& A SHELCH
Tines_per page number paginate outputdl E7H AT M =
Ho| Ho|X|E ¥ +E X™LICL
full_filename string
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meansnode EA

— WF =CE =2 FE Ao EE BRE o] 4 Ajo|9] BRS Hjmsto] AEket xto|7h EXfst
@ S| OiRE AMILICL 02 S0, TRRMS Y| M2 BRF +2 DL Z2RM
= S 9X| Qe DT we NHOBREO| 40/ HIE 4 YBLICL

Of| |

node = stream.create("means", "My node")
node.setPropertyValue("means_mode", "BetweenFields")
node.setPropertyValue("paired_fields", [["OPEN_BAL", "CURR_BAL"]])
node.setPropertyValue("Tabel correlations", True)
node.setPropertyValue("output_view", "Advanced")
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/means_output.html")

H 228. meansnode .

meansnode S clole /¥ £4d 49

means_mode BetweenGroups clolEoll CHe MHE WA EAQ &
BetweenFields g XFLCh

test_fields [fieldl ... fieldn] means_modeZ} BetweenGroups® M&E

2 o 4™ HEE XEgLch

grouping field field Hct WEE X FEL|CH

paired_fields [[fieldl field2] means_mode?} BetweenFieldsZ M&
[field3 field4] 2 Argg 2 WS XFHLIC
..]

label correlations flag 22| 2o]E0] £ EAR=X|

2E XFgLCH o] ¥¥e
means_mode?| BetweenFieldsZ &
2 ot §ZEL o

MEdE
correlation_mode Probability AEASE HE = HUZCE B0]
Absolute EYX RE XFLLICH
weak_label string
medium_Tabel string
strong_label string
weak_below_probability number correlation_mode?} ProbabilityZ
HEE o, ket dketAof chet EAL
We XIFELLICE 0|42 01t 1 Ato]<|
240100 RLITHX: 0.90).
strong_above probability number Zot AEEAO CHet "AL ZERILICE
weak_below_absolute number correlation_mode?t AbsoluteE2 A
2 oo, oFst AEtAlof CHe EAF gt
2 AEYLICE o|H2 02t 1 Ato|<
240[0foF SfLITHO: 0.90).
strong_above absolute number ot afgtetAof cHet HAL ZILICH
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H 228. meansnode E8 (AlL)

meansnode S4 cioje] /¢ £4d 49
unimportant_Tlabel string
marginal_label string
important_Tabel string
unimportant_below number =2 HE ZQ&0] oig FAF gty
Ch. 0|2 ozt 1 AtO[S| ZtO|ofoF &t
LICHO: 0.90).
important_above number
use_output_name flag AEXH Fo| £HAT 0|89 A of
£ XL
output_name string A2 0|8,
output_mode Screen £Y LC=8H Myt= £ 8
File KIE XIFgLct.
output_format Formatted(.tab) £39o fdg XEgLCt
Delimited(.csv)
HTML( itml)
Qutput(.cou)
full_filename string
output_view Simple 0| the = g 277} BEAE
Advanced =Xl RE X[FeL|ct.

reportnode 4

E

I . HIM L E=
B HIME
VEECRY

Mg Mol

2 7l =

>
| m

e

o ox
J

£
[m]

U

rﬁ mox &7
o I
=

4T > njo ox I-_I
kl
oF

U ogk 10
mo 1> r[9l
for
un 2

T Im 0

H

ook

met
0

4

UFLIL.

Of| |

node = stream.create("report", "My node")
node.setPropertyValue("output_format", "HTML")

OtL|2t CIO|E| %! CIO|E|2RE| IHHE J|Et EHAS Zoteh Halst
. BIAE BHIEZIEE ARESI HIAM9 YAalg XXMt nH Eslo
HE2(E0M HTML Ei2E AE3t £3 "M SHS 2HEHSHH

P = AELICH HSE|ENM CLEM BEYAE ALZ310f G|O|E

node.setPropertyValue("full filename", "C:/report output.html")

node.setPropertyValue("lines_per page", 50)

node.setPropertyValue("title", "Report node created by a script")

node.setPropertyValue("highlights", False)

H 229. reportnode S4.

reportnode 4 ool /¥ EM MY

output_mode Screen £y Lc=2F Myt= £ iy
File IXIE XM= ol AMSgLICh

output_format HTML(.html) oY =3o| RYUS XHst= o ArE
Text(.txt) g
Output(.cou)

328 1BM SPSS Modeler 18.1.1 Python A3E 5! XtE3} LA



H 229. reportnode S8 (%)

reportnode EA ClolE /¥ EM MY
format Auto E3H0| X522 YASHE AL HE2|
Custom Eof ZEE HTMLE AMESI0 Y4
S| 2 MEHSH= O AFZELCH B
Z2|E0M HTML YA3lE AHZ5tE
™ CustomS XIHSHHAL.
use_output_name flag AEXH Fo| £HAD 0|89 A of
£ XFLLLh
output_name string use_output_nameO| true?! 22 A&
g 0|EE2 AlFELCt
text string
full_filename string
highlights flag
title string
Tines_per_page number
=
routputnode £4
. R £3 LCE A8%HH Clo|H 3! AFZX ]9 AHEA H
R o R AFEEE AM8¢t 2 27029 ZNE 24g = AU
== ELICH 24 Zot= HAEL a2 4 JAFUCH Zabs
22Xt 2LEL "ol Z=7t=| AL, £30| Tz F= X
XgE = AUt

H 230. routputnode £

routputnode S ool /¥ £4 49
syntax string
convert_flags StringsAndDoubles

LogicalValues
convert_datetime flag
convert_datetime_class POSIXct

POSIX1t
convert_missing flag
output_name Auto

Custom
custom_name string
output_to Screen

File
output_type Graph

Text
full_filename string
graph_file_type HTML

cou
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H 230. routputnode E4 (Al%)

routputnode S ool |¥ Ed 49
text_file_type HTML

TEXT

cou

setglobalsnode §4

- Mozt ME T GlO[EZ AZSHD CLEM ESAIM ASE 4 9= Q0 2t AALICH
@ 0|2 SO, 0| T2 AFBOHO agemts TEO| CHSH S7ZFS A AN S GGLOBAL MEAN(age) B4
= MolBHol CLEM EHAIOIM ageol ZA| B2 ALRE 2 AsLCh

Of| |

node = stream.create("setglobals", "My node")
node.setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])
node.setPropertyValue("clear first", False)
node.setPropertyValue("show_preview", True)

B 231. setglobalsnode E4.

setglobalsnode 4 Cilole /¥ E
A

globals [Sum Mean Min Max SDev] | &XE LEJ} OIS ECE HZEOf
OF otz +x2tE E4:
node.setKeyedPropertyValue(
"globals", "Age", ["Max", "Sum",
"Mean", "SDev"])

clear_first flag

show_preview flag

simevalnode E4

AlZ2fo|d "It L= XHEE olE =8 2=

R 2Z HZELich

i
o
N
Of
kl
o
H
e
n
=2
e
rot
AT
H
»a
0
el
e
X

bl

H 232. simevalnode E4.

simevalnode S4 cioje] /¢ £4 29
target field

iteration field

presorted_by iteration boolean
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H 232. simevalnode 4 (A%).
simevalnode E4 Clolg |¥ £4 4¥
max_iterations number
tornado_fields [field1...fieldN]
plot_pdf boolean
plot_cdf boolean
show_ref_mean boolean
show_ref_median boolean
show_ref_sigma boolean
num_ref_sigma number
show_ref_pct boolean
ref_pct_bottom number
ref_pct_top number
show_ref_custom boolean
ref_custom_values [numberl...numberN]
category_values Category
Probabilities
Both
category_groups Categories
Iterations
create_pct_table boolean
pct_table Quartiles
Intervals
Custom
pct_intervals_num number
pct_custom_values [numberl...numberN]
simfitnode §%4
AlEZ2fo|d Mgt e 2f 20| A= C0|E e sS4 2XE M5t 2t HEo| 249 Xt 2
b XIEE AZH0IM MY EE HY(E= YHOIE)LICE AZY0ld HY LEE A0
AlZ2f|o|dEl CIoIHE MdY & UA&LICH
B 233. simfitnode E4.
simfitnode 4 Clolg R¢ £4 4¥
build Node
XMLExport
Both
use_source_node_name boolean
source_node_name string Y E= YOOIEED U= oA &
Z9| AR g2l o|FYLICt
use_cases ATl
LimitFirstN

H 16 & £8 =E £

0x



H 233. simfitnode E8 (A%).

simfitnode §4 Clolg |¢ £4 H¥

use_case_limit integer

fit_criterion AndersonDarling
KoTmogorovSmirnov

num_bins integer

parameter_xml_filename string

generate_parameter_import boolean

statisticsnode EA

— SAY LT A% Woof Be |2 Q0F MHE HIULIC Y Loof e RoF SH2 o
E_rf TC Ajolo] ABALE AMLIC

Of| |

node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["mean", "sum", "sdev"])
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels..." section
node.setPropertyValue("Tabel correlations", True)
node.setPropertyValue("weak below absolute", 0.25)
node.setPropertyValue("weak label", "Tower quartile")
node.setPropertyValue("strong above absolute", 0.75)
node.setPropertyValue("medium_label", "middle quartiles")
node.setPropertyValue("strong label", "upper quartile")

# "Output" tab

node.setPropertyValue("full filename", "c:/output/statistics_output.html")
node.setPropertyValue("output_format", "HTML")

H 234. statisticsnode EM.

statisticsnode 54 Clole |¢ £4d 49
use_output_name flag AHEZE Fo| £5ZN 0|89 A8 o
2E X™LIC
output_name string use_output_nameO| true®! E2 ALE
g 0|EE Alggct
output_mode Screen Y LC=9E MyE= £l iy
File IXIE XIHSt= ol AZgLct
output_format Text(.txt) £3o f¥sS XHst= o AL
HTML(.html) Ck.
Output(.cou)
full_filename string
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H 234. statisticsnode S8 (A%)
statisticsnode £ Clolg |¥ £4 4¥
examine list
correlate list
statistics [count mean sum min max
range variance sdev
semean median mode]
correlation_mode Probability MEASE HE = LR (0|
Absolute SYX| oRE XEELC)
label_correlations flag
weak_Tabel string
medium_Tabel string
strong_label string
weak_below_probability number correlation_mode?} Probability®
HAEE o, ofeh M2tEAof THet EAb
We XIFELLICE 0|22 01t 1 Ato|<|
2(0|0foF BrL{CH(Ol: 0.90).
strong_above probability number ot aftetAof cHet HA ZILICH
weak_below_absolute number correlation_mode”} AbsoluteZ M
E oo, oFst ApEtAlof CHe EAF gt
2 AEELCh o|H2 ozt 1 Ato|<
240[0fOF SFLITHO: 0.90).
strong_above absolute number 2ot AEetAof CHet HAR ZILICH

statisticsoutputnode §4

7 SAE £ LEE MEGIH IBM SPSS Statistics ZEAXME SE3I0{ IBM SPSS Modeler H|O]
= EHE 2M% £ JUELICLH ZHRTE IBM SPSS Statistics 24 ZZA|NE AFEE £ QU&LICE O]
L E= IBM SPSS Statistics®| AF2H AH20| TRBILICE
0] ==9| EM2 355 H|0|X|9] [statisticsoutputnode EAJ (A AHEL|CE
tablenode &4
i EHIOIE LE«= OIOIHE E YAIOZ HASH=D|, O|HE Y0 £ = JAEFLICHL o|H2 A ¢
iEEE S 4 U YO HO|E P FARIILL LU0} o o KBLIC

Of| |

H 16 & £ = EY



node = stream.create("table",
node.setPropertyValue("highlight expr", "Age > 30")

"My node")

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose data", True)
node.setPropertyValue("full_filename", "C:/output/table output.htm")
node.setPropertyValue("paginate output", True)
node.setPropertyValue("lines_per_page", 50)

H 235. tablenode £4.

tablenode EA

HolH /Y

=
£y 5

full_filename string ClA3, HIO|H £ HTML £301 32, &
H ool o|SYLILCE

use_output_name flag AEXE Ho| EHAN 0|E9] A8 HRE X
HELCh

output_name string use_output_nameO| true®l 22 AIEY O
£ XFELICh

output_mode Screen =8 LEEREH MYk SO i 2[X|

File X|¥sts ol AFSELICE

output_format

Formatted(.tab)
Delimited(.csv)

=
=
£39| RYS XHste o ArEELIC

HTML( itml)
Output(.cou)
transpose_data flag do| HEES LIENHT FHO| B|ZEE LIEHH
TE LHELZ| Hoil HIo|EE FX[RLC
paginate_output flag output_formatO| HTMLE m{f Z2J0| M|O|X|
2 F2&A 2HSLCE
Tines_per_page number paginate_outputZt A ALY mf =9
HO|XIE & +5 X|FLCH
highlight_expr string
output string L ET1 2ot Obx|af HlO|E0)| et BxE
Kot 7| T8 SGYUCH
value_labels [[Value LabelString] ot Aol chet 20|22 XFote ol AEd
[Value LabelString] ...] LIC},
display places integer HEAE of HEof| cHet A8 0|3t Xt
£ HTYULICKREAL M¥ 322 2= e
oot MEE). ot -12 AEY J|2gs M8
grLct
export_places integer e of Zeof gt AF olst x|
£ MMYTLICKREAL ME 378 2= ZC
ozt MgH). gt -12 AEE J|23E A8
gLt
decimal_separator DEFAULT HE9 AaH FEAE HFYHLICHREAL
PERIOD Mg 3e A= ZEoR HEE).
COMMA
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H 235. tablenode 4 (A%).

tablenode E4 clolE /¥ EM MY
-

date_format "DDMMYY " Leo| Unt HAlS MMEL|CHDATE Ee
"MMDDYY" TIMESTAMP M& SZts 2= HEO HE
"YYMMDD" =N

"YYYYMMDD"

"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

time_format "HHMMSS" ool A7t "HAE HFYLICKTIME £
"HHMM" TIMESTAMP X%& S7H2 2= T2t HE
"MMSS" ).

"HH:MM:SS"

"HH :MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH . MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

column_width integer =

justify AUTO o
CENTER
LEFT

RIGHT




transformnode E4

N
fix)»

Ol |

node = stream.create("transform", "My node")
node.setPropertyValue("fields", ["AGE", "INCOME"])
node.setPropertyValue("formula", "Select")
node.setPropertyValue("formula_log n", True)
node.setPropertyValue("formula_log_n_offset", 1)

H 236. transformnode S4.

transformnode 54 Clolg |¢ £4d 49
fields [ fieldl... fieldn] Mool AHSY HEQLCt
formula ATl RE E= MEEl H2to] A AME 00}
Select =Xl RS FAIRLICE
formula_inverse flag dHets AIBYX| 2 E HAlELICH
formula_inverse_offset number FA0| A8 HO|E EMS HAlE
LICH APRXWP XHsHx| g o, 7|2
Moz 0oz dHuLICh
formula_log_n flag log, Het AF8 RS HEAIRLICL
formula_log_n_offset number
formula_log_10 flag log,, 2 AIZ O{RE HA|RLICH
formula_log_10_offset number
formula_exponential flag X|a= HEHe) A2 RS EAIRLIC
formula_square_root flag HEd He AL EE EAIFLICH
use_output_name flag AEXH Ho| £HZN 0|52 A of
FE XFLIot
output_name string use_output_nameO| true@! L AHE
g 0|88 AFELLh
output_mode Screen £Y LC=5E Myt= £39| iy
File IXIE X|Fst= ol AHERLICH
output_format HTML(.html) £39| {98 XMst= dl AHEEL
Output(.cou) C}.
paginate_output flag output_formatO| HTMLY tH Z2{0| H|
O|X|2 &= gHSLICh
Tines_per_page number paginate_output®t B ALEE mf =
ol mojX|g & +E XFELICE
full_filename string o 3o AFRY MY 0|EE HA
gLt
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H 17 & UYELj7] = EAM

38 U= = £4

g §d28 2= WELY| =0 3SHYLICL

H 237. 3 WEWI| =& E4

g4 o £d 49

publish _path string EME ol0X| W 2 moj A8Y FE 0]
Eg YHHsMAIR

pubTish_metadata flag o|O|X| 8! S MOl ZEo| 2 8l £EHS
HHSt= HIEMHI0IE mbo| WHE=XIE XF
gLt

publish_use_parameters flag AER BTt *par DU EotE=XE XIF
grLct

publish_parameters =X =5 TEE Z4E XHSHHARL.

execute_mode export_data LB AERE SWoHX| o1 MASH=X| of

publish 2 EE= Lo A¥E o AEZO| XHEeE

ELEE=XE XEgLct

asexport 54

Analytic Server LHELH7|E ArE3IH HDFS(Hadoop Distributed File System)0i|A AEZIS AHH
g & AFLCH

ofl |

node.setPropertyValue("use_default as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080","analyticserver","ibm","admin","admin","false","","","",""])

t H]

H 238. asexport E.
asexport M clole /¥ EM 49

data_source string HloJE 29| O|F

export_mode string LH2H HIO|E{E J|&E CIO|Ef A0 &
O{MI[SH=X| OtL|H 7|ZE CIO|E 245
HOMI|S =X RS X[FeLCh

use_default_as boolean TrueZ2 SFY d2 MH options.cfg
mlofl SLdE 7|12 Analytic Server &
Z0| MEELICE False2 MAEE E2

Szt S0 @Ol ALSELICY,

337




H 238. asexport 4 (Al%).

asexport EM

ool f

o

=
£5 59

connection

["string","string",

"string","string",

string",
string","string",

string", "string"

"string","string",
,"string"]

Analytic Server Z MSAE0| ZEHE
S5 E4YLICE A2
["is_secure_connect", "server url",
"context_root",
"consumer", "user_name", "password",
"use-kerberos-auth", "kerberos-krb5-
config-file-path", "kerberos-jaas-
config-file-path", "kerberos-krb5-
service-principal-name",
"enable-kerberos-debug"] LICt 7]
A is_secure_connect:= EQt HZA A}
2 {8 E LIEtLHH, true £= falsed
LICt. use-kerberos-auth:= Kerberos
QIE A8 KRE LIEHHD, true =
false®IL|C}. enable-kerberos-debug: =
Kerberos 91&52| C|HI ZE A8 &
LIEFHM, true falseQL|LCt.

"server_port",

=

=

CC L
o

cognosexportnode 4

ct.

aj

0] LE9| &2 Cognos A& %
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Cognos ¥Z

Cognos HEZ fI¢t

H 239. cognosexportnode

EM
- O

=3
=4

ro

CtEat Z5LICh

cognosexportnode £4

ooy f

Am
0x

2%

cognos_connection

I g "n "n

["string”,"flag","string","string","string"]

Cognos MH{0|| Cigt &
EH S St YA
["Cognos_server URL", Togin_mode,
"namespace", "username", "password"]
o71M,

Cognos_server URLS AAE TESH=
Cognos AH2| URLLICE

Togin_modes 2AE 221 AE3H=X| o
BHE FAISHH, true = falseRLICE true
Ql A2 2 e "2 HFE0{0F g
ct.

namespace= AHO| 23238H= O AHESH=
Hot o1F MSXHE XI™gLC.

username % passwordi= Cognos AJHHO| 2
J28t= o Ar8%te AYLICE
Togin_mode CHAl, Ch2 REE ARE £

SLich

+ anonymousMode. Of:
['Cognos_server_url’,
'anonymousMode', "namespace",

"username", "password"]

« credentialMode. Oi:
['Cognos_server_url’,
'credentialMode', "namespace",

"username", "password"]

+ storedCredentialMode. Of:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]
07|M stored credential_name2 Z|ZEX|
E2[0l A= Cognos 2 HEO| 0|FY

L|C}.

cognos_package_name string Clo|HE WHELHD U= Cognos TH7|XIS| &
22 o|FYLILE. ofl:
/Public Folders/MyPackage
cognos_datasource string
cognos_export_mode PubTish
ExportFile
cognos_filename string
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obBC H

EM
=

o EM2 CtZ HOf|lM databaseexportnodedi| CHaH Lt
SHX| 942 H2 o L|Ct.

LS

ng
n

ODBC ¥Z¢2 = Aot SAUSHX[EL, datasource
25

S40| |

databaseexportnode 4

ClojE#o|A WELW7| =& C|0|E|E ODBC &4 2AA Ho|H AA0 7|EELICE. ODBC o

% OlE| AA0| M7| Q[of TIOJE] AATF EXYSLT AFRXOIA| 47| HBH0| U0{0F BHLICH

Of| |

Assumes a datasource named "MyDatasource" has been configured

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tab

db_exportnode.setPropertyValue("username", "user"
db_exportnode.setPropertyValue("datasource", "MyDatasource")
db_exportnode.setPropertyValue("password", "password")
db_exportnode.setPropertyValue("table_name", "predictions")
db_exportnode.setPropertyValue("write mode", "Create")
db_exportnode.setPropertyValue("generate_import", True)
db_exportnode.setPropertyValue("drop_existing table", True)
db_exportnode.setPropertyValue("delete existing rows", True)
db_exportnode.setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue("export_db_primarykey", "id", True)
db_exportnode.setPropertyValue("use custom create table _command", True)
db_exportnode.setPropertyValue("custom_create_table_command", "My SQL Code")

# Indexes dialog

db_exportnode.setPropertyValue("use_custom_create_index_command", True)
db_exportnode.setPropertyValue("custom create_index_command", "CREATE BITMAP INDEX <index-name>
ON <table-name> <(index-columns)>")

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields", ["id", "region"]])

H 240. databaseexportnode 4.

databaseexportnode S ooy |4 Ed MY
datasource string
username string
password string
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H 240. databaseexportnode S8 (A%).

databaseexportnode £ clole |4 EM 49
epassword string 0 &2 A% 0| 47| dEYLIC
QAIYE HEHSE HIoHH =7 of
FOIM AFE 7hse H|2HD TS A
83IUAIR. ZMEt HE= 56 T O[X|2ff
[FIRLE H[2HS MMy o] H8S &
TSHMAI2
table_name string
write_mode Create
Append
Merge
map string AEZ TE 0|EZ Ho|EHojA & 0]
E0f YEEL|CHwrite mode?} Merge!
F2oet fud).
Hetol 31, ZE =TI LHEWXZ] 2
SiM= MEE|0{oF BL T, Co|E{#o[A
of Zxstx| b= EHE O|F2 M E2
ZF7HELIC
key_fields list 7|0l Ar83ts 2EY HEES XFYLICE
map 52 0|Z40| Ci|O|E{H{| 0| A0 M CH
Sot= A2 BAIYLICHL
join Database
Add
drop_existing_table flag
delete_existing_rows flag
default_string size integer
type A7|0F R¥S HYstE o MESt= 7
Z3t E4YLtt
generate_import flag
use_custom_create_table_command flag HZ CREATE TABLE SQL HI2 M}
2™ custom_create_table SR8 MEGH
A2.
custom create_table_command string HZE CREATE TABLE SQL E& Xf2|of A
Y EXAE FFES XFeLo.
use_batch flag e E42 ClojEdolA g 2ES
elet 1g SMYLICE Use_batchel True
22 HO|E{H|o[20] Cict #E FHO|ES
Sl
batch_size number HEZ|2 FHO|ESHY| ol Gjo|E{H|o]A
2 BY YIE & XEHULC
bulk_loading off OHE 29| R¥S X|FLCt. opsc 3
0DBC ExternalOfl CHRF 3=7F Z430] ofzHoi| Lt
External EEEES
not_Tlogged flag
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H 240. databaseexportnode S& (A%).

databaseexportnode £ clole |d EM MY
odbc_binding Row ODBCE &%t oz ==of cist o 2
Column g e g Ue H)IEE XFSHYAIR
Toader_delimit_mode Tab QI mZME St Ui 29| ER
Space TEXS RS XFSHAR. HH() &
Other = —T‘-—E—XI‘% leg_é-l'aziﬁ OtherE
loader_other_delimiter
S41H 2H MEfSHYAIR.
loader_other_delimiter string
specify_data_file flag True S23= Ot2H2| data_file 582
2ottt of7[ol|lA C|o|E{t| o] A0
g 29 of 24y ot o|5xt 32
£ X¥EY # USLICL
data_file string
specify_loader_program flag True Z2f 1= O2H2Q| Tloader_program
E4s gdeioiH, o270 28 2H
AIBEL} Z2a0| 0|27} X2 X
g = AL
Toader_program string
gen_logfile flag True Z2f1= Otz Togfile_name2 &
datet=d, o7l 2F 2128 MY
g Mol U= THe| 0|2 XY
UA&LICEH
logfile_name string
check_table_size flag True Z211= EIO|S ZAL7} CIO|EH|O]
£ E|0|E 37[9 S7t0| IBM SPSS
ModelerOl| A LHELHE & <=0f CHSSHE
E 23Y + AFUCH
Toader_options string -comment % -specialdir 2 &7t ¢
=& 20 ZZIH0| XFHAIL.
export_db_primarykey flag 02l HEJH 712 7I20X] o2 E XH
gLt
use_custom_create_index_command flag true@l 29 Z= X|50f| Cist AFEX H
9 SQLE 7}s5HAl gfLCt.
custom_create_index_command string AR ™ol SQLO| Atg Zts" mf X|
+E H4dst= ol M83t= sQL ddsS
XIFELCE (0] 2t2 ofefiofl EAIE CHZ
EF X0l CHel CHMlE = AFLICH)
indexes. INDEXNAME. fields ettt 3 XNFE X+E Hgsta of
o X0 ZetE EE 0|E2 LRy
ct.
INDEXNAME flag E73 Xl==0f chdh AFZ2XL el SQLE At
"use custom create index_command" 8 = AME ot o AF8RLICh Cf
2 ® Flo 0E HRSHYUAR.
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H 240. databaseexportnode S8 (A%).

databaseexportnode £ clole |4 EM 49

INDEXNAME string X™E X0 A83t= ALK HQ

"custom create index_command" SQLE X[MYLICE Cts E Flo oE
FENIESINE®N

indexes . INDEXNAME . remove flag True@! 22 X|== MEOIM XIFE X
£ FMAHgLIC

table_space string ZdE HoISAHO|AS X|HELICH

use_partition flag =l Al BES AIBSIE=E X|FHLICH

partition_field string 24 siA| HEol ge XFYLICE

. d2 Oo|EH|ojAS HL, HIO|EHHO|A HO|E0| L=H(GIE S0, SQLOA CREATE TABLE
MYTABLE (...) COMPRESS YES;2| S7hat &7H LHELHZ|E fIsH HMEEE X|HEY &+ JSLICH OIS

1t 20| use_compression % compression_mode £440| 0| 7|52 X|&st7| s MSELICH

B 241. 4% 7152 AMESh= databaseexportnode 4.

databaseexportnode S clolg |4 £4 49
use_compression Boolean True2 HANEH A=t LHEY HO|ES MY
LICE.

compression_mode Row SQL Server H[O[E{H|O]AL| 2= ~ZF=2 METIL
Page Ct.
Default Oracle H|O|E{H|O|A S| &tz 22 MEELICL 2t
Direct_Load Operations OLTP, Query High, Query Low, Ar ch ive_High,
A1 Operations Archive_Lowe |2 Oracle 11gR27t ZR%fL|LCE
Basic
OLTP
Query_High
Query_Low
Archive_High
Archive_Low

EX X0l CHSH CREATE INDEX HHEZ HESH= WS HHFE= Of:

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["use_custom create_index_command",
True] )db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["custom create_index_command",
"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

CHE 2Ho 2=, Al HO|EE2 Sl 0| Y &= JUSLICL
db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id", "region"],

"use_custom_create_index_command":True, "custom_create_index_command":"CREATE INDEX <index-name> ON
<table-name> <(index-columns)>"])
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datacollectionexportnode §#4

Data Collection LHEL7| =E&= Data Collection A& RAF AZEQO0|A AIRSt= HAIOZ O
O|E{Z Z2{3ILICt 0] LEZ AF25l2{ T Data Collection HIO|E| 2t0|E12{2]7 Ax|=/0{0F BHLIC}.

Ol |

stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport”, "Data Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata _file", "c:\\museums.mdd")
datacollectionexportnode.setPropertyValue("merge metadata", "Overwrite")
datacollectionexportnode.setPropertyValue("casedata_file", "c:\\museumdata.sav")
datacollectionexportnode.setPropertyValue("generate import", True)
datacollectionexportnode.setPropertyValue("enable system variables", True)

B 242. datacollectionexportnode 54

datacollectionexportnode S4 Cilolef /¥ EM MY
metadata_file string L= olEtColE ool o|SRLICt.
merge_metadata Overwrite
MergeCurrent
enable_system variables flag LHELHE! mdd THUO| Data Collection

AAR HSE IHOF SH=X| HEE
X EgLot.

casedata_file string AO|A CIO[E{7} LHELHE! sav IHUQ|
O] QJLILCH.

generate_import flag

excelexportnode §4

Excel LHEW7| =E= HIO|E{E Microsoft Excel .x1sx I HAOZ ZZHBILICI (MEALRHLEE
EXCELT JF MHE O Excel2 XISOE A|ZSHD LHHLHZ MUS T2 MES

—

Of| |

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full_filename", "C:/output/myexport.x1sx")
excelexportnode.setPropertyValue("excel file type", "Excel2007")
excelexportnode.setPropertyValue("inc_field names", True)
excelexportnode.setPropertyValue("inc_labels as cell notes", False)
excelexportnode.setPropertyValue("Taunch _application", True)
excelexportnode.setPropertyValue("generate_import", True)
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H 243. excelexportnode £

excelexportnode E4 ClolE /¥ EM MY
full_filename string
excel_file_type Exce12007
export_mode Create
Append
inc_field names flag ZIE 0|20| |IZAMNES A Huw o
ot =X RS X|™HELICH
start_cell string LHEWZ] ARt ME X-ELCH
worksheet_name string ZYE fIAES o|EYLIC
Taunch_application flag ExcelO| 21 MUM SEEE=X O
& X|HEL|CL Excelg AIESII| 9
ot H2JF A ofE2(A|0|M izt &
X O, 2 OiEZ|A|0]4)0iM
X|H=|0{0F SfL|C}.
generate_import flag LHEH C|O|E] IIYS HE Excel 7W
27| LEIt HYE|0{0F St=X| R
XEgLct.
extensionexportnode £4
@- 23 WELUY| LEE AMBSHH R K& Python for Spark £
- SEHES MG H0|HE LHEE £+ ASFLICH

Python for Spark Ci|X|

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_export", "extension_export")
node.setPropertyValue("syntax_type", "Python")

python script = """import spss.pyspark.runtime
from pyspark.sql import SQLContext
from pyspark.sql.types import *

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

print df.dtypes[:]

_newDF = df.select("Age","Drug")

print _newDF.dtypes[:]

df.select("Age", "Drug").write.save("c:/data/ageAndDrug.json", format="json")
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node.setPropertyValue("python_syntax", python script)

R oA

#### script example for R
node.setPropertyValue("syntax_type", "R")
node.setPropertyValue("r_syntax", """write.csv(modelerData, "C:/export.csv")""")

H 244. extensionexportnode S8

extensionexportnode £ Clole /¥ EMd MY
syntax_type R MY A3EE R EE Pythong Al
Python Mot AIRO| 7|3
r_syntax string A¥e R A3ZE FEALICH
python_syntax string Azt python A3E L2L|Ct
convert_flags StringsAndDoubles o0 ZEE HEskE 34
LogicalValues
convert_missing flag ZZYUE R NA URE M= ZM
Lot
convert_datetime flag =W = EW/AZE A A=
+E R EM/AZt HAloz HEsh=
=Rl
convert_datetime_class POSIXct W EE "HWM/AZE A A= H
POSIXTt +E Hod gAlg XFse 4.

outputfilenode 54
Za M LJEYY| S CO[EE TEE HAE MUE ZILICL 2 BA Es ADCA|
E AZEQO{7} AS 2 U= HlolE WEU|0 Q8L

Of| |

stream = modeler.script.stream()

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full_filename", "c:/output/flatfile_output.txt")
outputfile.setPropertyValue("write mode", "Append")
outputfile.setPropertyValue("inc_field_names", False)
outputfile.setPropertyValue("use newline after records", False)
outputfile.setPropertyValue("delimit _mode", "Tab")
outputfile.setPropertyValue("other delimiter", ",")
outputfile.setPropertyValue("quote _mode", "Double")
outputfile.setPropertyValue("other_quote", "*")
outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate_import", True)
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H 245. outputfilenode £

outputfilenode E4 clole /% Ed 49
full_filename string =3 mao| 0|8
write_mode Overwrite
Append
inc_field_names flag
use_newline_after_records flag
delimit_mode Comma
Tab
Space
Other
other_delimiter char
quote_mode None
Single
Double
Other
other_quote flag
generate_import flag
encoding StreamDefault
SystemDefault
"UTF-8"

sasexportnode §4

Ol |

SAS LHELH7| LEE SAS tEE SAS T8 Jhsth ATEY N IHF|XZ2 AHS0|7]| fIdi HIO|EHE
SAS YAIOF ZEHTIL|CL SAS for Windows/0S2, SAS for UNIX EE= SAS HE 7/89] M| 7t
K| SAS I HAIO| AF2 JtsELICEH

stream = modeler.script.stream()

sasexportnode

sasexportnode.
sasexportnode.
sasexportnode.
sasexportnode.

= stream.createAt("sasexport", "SAS Export", 200, 200)
setPropertyValue("full filename", "c:/output/SAS output.sas7bdat")
setPropertyValue("format", "SAS8")
setPropertyValue("export_names", "NamesAndLabels")
setPropertyValue("generate import", True)

H 246. sasexportnode 54

sasexportnode £4 ool /% EM MY

format Windows Hak EN glojlg ZE
UNIX
SAS7
SAS8
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H 246. sasexportnode £ (AHlZ)

sasexportnode EA

HolH /Y

4 29

dim

full_filename

string

export_names

NamesAndLabels

LHELHZ| A| IBM SPSS Modeler?| &

NamesAslLabels E O|E2 IBM SPSS Statistics =&
SAS H= 0|30 Mst= o A8
Lict.
generate_import flag

statisticsexportnode §%4

=¥ |_%'>t LHELH7| =E= IBM SPSS Statistics .sav E= zsav o
Cl

CIOIEE EHYLICL sav

Aoz
zsav TFYE IBM SPSS Statistics Base %! 7|El MZO0A S = USLICL O|H2 £ IBM

L SPSS Modeler2| HA| MU0l ALESH=

&AlQlL|Ct,

= o

0| LE°] E4 355 HO0|X|

[statisticsexportnode

E41 pilM HHELC

tm1odataexport tE £

H 247. tmlodataexport =E EH

IBM Cognos TM1 LHEL{7| LE
£ LHERLICE

M
(=

= Cognos TM1 ClIO[EH|O|AT} 218 £ U= FAICZE H[O|E

tmlodataexport .= EM

HolH /Y

E M
g4 2%

admin_host

string

REST API9| ZAE O|&0] CHet URLRLICE

server_name

string

admin_hostOflA MEHEI TM1 A2 O|SRIL|CE.

credential_type

inputCredential £& A MEH RS HAlSt= O AHSELICL

storedCredential
input_credential list credential_typeO| inputCredentialO|® TH|QIl 0|5,
AHEXE Ol % HIZHZE X|FSHUAIL.
stored_credential_name string credential_typeO| storedCredentialO|™ C&DS A
HollA AR HEHO 0|E2 XIFotHAR.
selected_cube field CIOIHE WHEWL A= FEQ oS YLICE of:

TM1_export.setPropertyValue("selected_cube",
"plan_BudgetPlan")
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T 247. tmlodataexport == S8 (A%)

tmlodataexport == EXM

Cllo|E

M
©

nx

H
o

dm

spss_field to_tml_element_mapping list

o
==

TE tm1 247 MME 72 Llof et € At
| Yoiof BLICE A2 Ch33 ZaL,

[[[Field_1, Dimension_1, False], [Element 1,

10

Dimension_2, Truel]l, ...], [[Field_2,
ExistMeasureElement, False], [Field_3,
NewMeasureElement, Truel, ...]]

F e 252 S MY MEE HdIYLCL of2ff of
M 20|M= 2l RAE X0 Wit WS HBY
LICt.

ofldl 1: & HW ==, ([[Field_1, Dimension_1,
False], [Element_ 1, Dimension 2, True], ...])=
T™1 At W FHEo| AMSFLICH

2t 3709 2t REES XY YT FEE FALLICL A
M 22 2 XtHe RAE MEist=X| LIEFLICEH
Ofldl: "[Field 1, Dimension_1, False]"= Field 10|
Dimension_10 YEE0| UM, "[Element 1,
Dimension_2, True]"= Dimension_20i| Element 10| M
BHE|ASE LIEHEL|CE

Ol 2: & Huf =5, ([[Field_2,
ExistMeasureElement, False], [Field 3,
NewMeasureElement, True], ...]) = TM1 && %}
24 W M- ArggLCL

2t 7l 2t 222 &% 94 ¥

= =]

mjo

0H

HEE BAIPLICH
M 22 g2 M 245 ZHddlior &2 LIEH=
ol ArgsLict. "[Field 2, ExistMeasureElement,
False]"& Field_27} ExistMeasureElementOf ZHE |
ASS LIEtLHD "[Field_3, NewMeasureElement,
True] "= NewMeasureElement”} selected measureOi|Ad
MEHEl £ KH0[0{OF St Field 30| HHEAUSS

LIEFELICE

0x

selected measure

string

ZEr KAE XFHAIL.
Of: setPropertyValue("selected measure",

"Measures")

tmiexport £E E4

@
=

LHE 4LICt

(H olg ArEx|x|

2%2)

IBM Cognos TM1 WELZ| ==& Cognos TM1 HIO|E{H|O|ATE 1S £ U= YAQE H|O|H
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H1: o] =E= Modeler 18.00lM= © Of& MEEX] RSLICE CHM == A3

tmlodataexport®LICt.

H 248. tmlexport =E EXH.

o
(m
o
ol
rlo

tmlexport E EM

FRERCE

9

pm_host

string

: HE 16.0 % 17.0012H i
AE O|EQLICE ol: TM1_export.setPropertyValue
("pm_host", 'http://9.191.86.82:9510/pmhub/pm')

fob o2t | JAim
> Koz

tml_connection

["field"field”, .. "field"]

Ho: HH 16.0 3 17.0012 o

TM1 AMHOf CHet HE MEANO| ZetE 55 SE4Y
LICt. &Al2 [ "TM1_Server Name", "tml_ username",
"tml password"] ILIC}.

Ol: TM1_export.setPropertyValue("tml_connection",

['Planning Sample', "admin" "apple"])

selected_cube

field

HOIEE LD Qs FES| O|S/LICE. ol:
TM1_export.setPropertyValue("selected cube",
"plan_BudgetPlan")
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H 248. tmlexport == EH (AH).

tmlexport =E EXM ool |3 Ed 49¥
spssfield_tmlelement mapping list UEE tm1 QA7 MEHE FE HI[of| gt E XA
o YHofof L "WAE O3 ZELCLH

[[[Field_1, Dimension_1, False], [Element 1,

Dimension_2, Truel]l, ...], [[Field_2,
ExistMeasureElement, False], [Field_3,
NewMeasureElement, Truel, ...]]

£ e =52 Sof Yy ’“EE HAHgL(Ct ofzd off
H 20ME 2T QAE kjelof WL

LICt.

ofd 1: A #Hm ==, ([[Field_1, Dimension_1,
False], [Element_ 1, Dimension 2, True], ...])=
T™1 At W FHEo| AMSFLICH

2t 3709 2t REES XY YT FEE FALLICL A
M 22 2 XtHe RAE MEist=X| LIEFLICEH
Ofldl: "[Field 1, Dimension_1, False]"= Field 10|
Dimension_10 YEE0| UM, "[Element 1,
Dimension_2, True]"= Dimension_20i| Element 10| M
BHE|ASE LIEHEL|CE

ofd 2: & #iM| =5, ([[Field_2,

ExistMeasureElement, False], [Field 3,

te As 438

HJ|

NewMeasureElement, True], ...]) = TM1 =H *%}
o 92 ¥ FE| AT

2t ol 3t S22 ZW 94 WY YHES BABLICH
Ml w22 3t2 M 2AS HMojo} B LiEHHE

ol ArgsLict. "[Field 2, ExistMeasureElement,
False]"& Field_27} ExistMeasureElementOf ZHE |
ASS LIEtLHD "[Field_3, NewMeasureElement,
True] "= NewMeasureElement”} selected measureOi|Ad
MEHEl £ KH0[0{OF St Field 30| HHEAUSS
LIEFRLICE,

selected measure string Z AHE XHSHA L.

Of: setPropertyValue("selected measure",

"Measures")

xmlexportnode &4

; XML WELZ| E= HO|EE XM
<X{ML> Mo LHELHZE! CIO|E{E CHA| AE

|er -
_|$1_
ne
Hu
i
1
e
=
n
>
12
i)l
|o
HU
>
<
—
IS
[>
H
n
i
2

Of| |
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stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full_filename", "c:/export/data.xml")
xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"], ["/catalog/book/title",

"title"]])

B 249. xmlexportnode 54

xmlexportnode §4 ool /¥ EM 49

full_filename string (H=) XML LELZ| ool FA| H2QF o o
ELIC

use_xml_schema flag LHEH CllolE{el =8 HMofstr| {8 XML 27|
OKXSD = DTD It) AL {8 E X|FeL(ct.

full_schema_filename string Ab8e XSD E& DTD Ihel &K 22 3 o
O|ZQILICt. use xml_schemaZ} trueZ MHEE= &
? YLt

generate_import flag LHEH HO|E IS CHA| 2ERICZ 2= XML
A4 LES YUt

records string HIE ZAE EAISH=E XPath EHAYLICE

map string ZE 0|ES XML +#x0f MEgfL|ct.
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X 18 & IBM SPSS Statistics E

_I

statlst|c5|mportnode EM

EAY IY == IBM SPSS StatisticsOllAl AMSHE sav = .zsav THY HAIE OfL|2t ST

YAE AT PE IBM SPSS Modeler0ll M&E HA| MHUAZRE HO[HE ASLICH
ol |
stream = modeler.script.stream()
statisticsimportnode = stream.createAt("statisticsimport”, "SAV Import", 200, 200)
statisticsimportnode.setPropertyValue("full_filename", "C:/data/drugln.sav")
statisticsimportnode.setPropertyValue("import names", True)
statisticsimportnode.setPropertyValue("import data", True)
H 250. statisticsimportnode 4.
statisticsimportnode EM ool /% E4 49
full_filename string ZEE ZEdt etdet o o|ELICE
password string HZHSJLICE password ODH7HHAE
file_encrypted O{7HEH= Tof A& E|0{0F BL|Ct
file_encrypted flag ool HZHD 2 HoE=X] 6FYL|C
import_names NamesAndLabels M= 0| Y 20|E X2 YH
LabelsAsNames
import_data DataAndLabels 243 glojE M| 2y
LabelsAsData
use field format_for storage Boolean 7t & m IBM SPSS Statistics Z= &4 HEHE
AEEX RE X|™BL|Ch

statisticstransformnode £

F EAZ Het LE= IBM SPSS Modeler2| H|O[Ef AA0| CH3l IBM SPSS Statistics 72 =2

MElg MMBILICE O] lEE IBM SPSS Statistics2| AFSE AHRO| TQEL|CH

Of| |
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stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform", "Transform", 200, 200)
statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticstransformnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed Drugs")
statisticstransformnode.setPropertyValue("check_before_saving", True)

B 251. statisticstransformnode S%

statisticstransformnode S4 Clolg |¢ £4d 29

syntax string

check_before_saving flag =2 MFSH| ©o| YHE H=22
dABELICL 20| KRS %42 F
? 2F HAXIE EAEUCH

default_include flag Mg HE= 152 Ho[X[9
[ Tfilternode E41 2| LHEE &=t
NS

include flag AtMet MEE [152 HO[X Q]
| Tfilternode E44 Pl l—HRo SN
AMAR.

new_name string XMt MHEEz= [152 HO[X9
[ Ffilternode E4J | i8S XH=Zdt
MA2.

statisticsmodelnode EA

o SAY 2E 58 AESHH PMMLE 445H= IBM SPSS Statistics Z2AIKE HA310] H|O|E
£ 2Mot HYPY + AFLCL O] EE IBM SPSS Statistics® AHSH AR20| HBL|C.

Of| |

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticsmodelnode.setKeyedPropertyValue("new _name", "NewVar", "Mixed Drugs")

statisticsmodelnode 4 clol /% £4 49

syntax string

default_include flag XMst MEEz= [152 HO[X9
[ Ffilternode E4J || LH8S XH=Zdt
AMA2.

include flag AMe MHEE= [152 To[X[Q
| Ifilternode E4y | LHES &=t
MA.
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statisticsmodelnode §4 clojEf ¥ EM MO

o 2o

new_name

string XMet MEE= [152 HO[X9
[ Mfilternode S44 o] W88 XH=Z5t
A2,

statisticsoutputnode &4

Of| |

stream = modeler.scr
statisticsoutputnode

statisticsoutputnode.
statisticsoutputnode.
statisticsoutputnode.
statisticsoutputnode.

statisticsoutputnode

EAgk £ LEE AMESIH IBM SPSS Statistics Z2A|XNE =8t IBM SPSS Modeler HI0|
HE EMY £ QU&SLICEH ZHLSH IBM SPSS Statistics 24 TZA|NE AT £ QJUSLICE O]
LE= IBM SPSS Statistics®| A2 AHE0| ZQBHL|CE.

ipt.stream()

= stream.createAt("statisticsoutput", "Output", 200, 200)
setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A) BP(A) Cholesterol(A)")
setPropertyValue("use_output_name", False)

setPropertyValue("output_mode", "File")

setPropertyValue("full_filename", "Cases by Age, Sex and Medical History")
.setPropertyValue("file_type", "HTML")

B 252. statisticsoutputnode S

statisticsoutputnode 4 clole /¥ EM 49
mode Dialog "IBM SPSS Statistics IZH of MX ZM
Syntax OlL} BHEE HEV|E MESHHAIR.
syntax string
use_output_name flag
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW
statisticsexportnode &4
EAY LHELH7| ==& IBM SPSS Statistics .sav L& zsav YAOZ H|0|EE ZHFLICE .sav
EE= zsav TS IBM SPSS Statistics Base % 7|Et MF0IM 42 = UAEFLICL O|H2 £ IBM

Of| |

SPSS Modeler2| 7HA| MO AtESH= AAILIC
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stream = modeler.script

.stream()

statisticsexportnode = stream.createAt("statisticsexport”, "Export", 200, 200)
statisticsexportnode.setPropertyValue("full _filename", "c:/output/SPSS Statistics out.sav")
statisticsexportnode.setPropertyValue("field_names", "Names")
statisticsexportnode.setPropertyValue("launch_application", True)
statisticsexportnode.setPropertyValue("generate import", True)

B 253. statisticsexportnode S4.
statisticsexportnode £ |H|0|E |8 EM 49
full_filename string
file_type sav sav EE zsav YACE MAUZ NEHSHAL. GE S
zsav statisticsexportnode.setPropertyValue("file type","sav")
encrypt_file flag ojelo| HUHS 2 ESEl=X| of2elL|C},
HZH= string HZH= L|CH
Taunch_application flag
export_names NamesAndLabels LHELHZ| Al IBM SPSS Modeler®| EE O|E& IBM SPSS Statistics

NamesAslLabels

= SAS #H4 0|0 MEsH= o AFEELICH

generate_import

flag
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H 19 & Python E EA

ocsvmnode EA

- One-Class SVM =E0|&= Xtg a& ¢
£ SLICE 0Tl B2 MEQ AIE ZH
= 7oz EEsL|Ct SPSS Modeler?| 0]

2|Z50| AFZELILE o] E= old EX|of Ar8Y
EIXISt M ZQIEES i MEO| £3t7LE £5tX]
ne-Class SVM 2H#2 E= PythonQZE THEH,

52 32

scikit-learn© Python 2t0|E2{2|7} HRFL|C

H 254. ocsumnode EH

ocsvinode EM Hlole |

am

29

role_use string

-
ra | ox

t
predefinedE X|I™st, AMBX Mol HE HEHS
AtESt{H customS XIFHSHMAIR. 7 2
predefined {L|LC}.

HolE dgE AMEstaH

[

inputs field

1

1C og

splits field

2
S
k=]
[S)

=
=
=
ol = OI_ ==

Hr | m©
ot

use_partition g2

2] . trueg
LICt trueZ2 M H2 2= 4o =3 OO

Efgh AR gfLIC

mode_type string

2ColL|ct 7hs3t 22 simple EE expert L]
Ch simpleg XEY 22 g Yo ZE Of7iH

It A et HFEL.

stopping_criteria string

(]
X4 BI|He| 2XEYLICL 7tseh 242 1.0E-1,
1.0E-2, 1.0E-3, 1.0E-4, 1.0E-5 == 1.0E-6L]
Ch 71222 1.0E-3QLICh

precision float

£

S|HES HUT(nu)QLICH 23 2%} 8l X[
B9l 24 20 st st=@lL|Ct pLCt 31
2Ot &AL 22 =XE XFsHAIR. 7|12
0.1JL|Ct.

o I

1
¢
X

rlo

kernel string

LNE0 AHBY HE FYYLICH JtsT U2
Tinear, poly, rbf, sigmoid EE= precomputed®!

LICt 7|22k2 rbfLICE

enable_gamma g2

gamma OWZHHSE AHBOE HHTILICE true =
falseS XIFSHHUAIR. 7|23(2 trueRLIC}

gamma float

O Oi7H#H 4= rbf, poly & sigmoid {0l CHaH
Mt AF2O 2 MHBILICE enable_gamma OH7HH=
7} falseZ2 A¥Y ZR O] O/iH+= autoZ M
HELICL trueZ2 4¥Y 22 72342 0.1YLC

L HATC

coef@ float

HE g9 =58 SLICE o] DiHH== poly #
2 3 sigmoid FHEO CHAMEE ALECZ HEHE

LICt 71222 0.0QLICt.

- HATT
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¥ 254. ocsvmnode EM

(A%)

ocsvmnode £M

HolH /Y

degree

integer

shrinking

4
Mo

enable_cache_size

cache_size OjI7HHSE AHBOR
L= falseS XFYSHAR. 7|22

cache_size

AE HA2l 7|(MB)LICE 7|

enable_random_seed

random_seed OHZHHSE ALE
true EEE falseE X[HSHYAIR. 7|22 false
LT

random_seed

integer

ok

HE T HOIHE METY W AI8Y U4 AME
A

L|C

fo

pc_type

string

0F [ mo U

og

] 4
AE J#Eel QYL JtsE g2

independent L= general &IL|C}.

lines_amount

integer

Jejolol IetE o o LI 1 - 1000 HE

o Y& XToHHAI2.

lines_fields_custom

Ho
=

JEjm o EAS AFRXF Ho| m
= Qe lines_fields OIHHSE AL
SLICE falseE2 HXY 22 RE E
LICL true2 MEY Z2 lines_fields OH7HHS

XEE "eot EAIELCE dsAo olgZ oy

20708 EETh EAIELICH

lines_fields

field

Dzl M2 22 EEE HE 0|3 22YU
cf

enable_graphic

4
Mo

3718 E0/2H 0] M2 ME AHCZ HHS
MA2.

enable_hpo

4
Mo

HPOE A8 EE A otEo= MESHAH true
= falseE XIHSHYAIR. trueZ2 MNSIH LIS
target_objval OW7HHE AL ALEXIO| 9
of MolEle SE o TEStE A A9
One-Class SVM REZ X502 7] 2ol
Rbfopt?t HEgLICt

target_objval

float

CESIOXL Ot 2R Y
2xtE)0lH olE S0,
LIt ZHo| & H

HEeh o2 dTHYAR. oE S0, 0.012

SLich

max_iterations

integer

DES AEshE A0 gE YLt J|2¢2

1000 LIt

max_evaluations

integer

DHES ANTote S HIoto| Ao LI o7
M, £H2 &0 oist H=tzelL|ct 7|23t
300L|Ct.
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rfnode EA

'H Y Z2|AE LCE E2| RES V2 ZEE MESE HiZ Yu2(ES Ug TS AISHLIC
SPSS Modeler2| 0| HE Z2|AE DHY L EE PythonQZ FHE|H, scikit-learn© Python
2to|=2{2(7t HagL|ct

B 255. rfnode £

rfnode §4 Clole /¥ £4 &9

role_use string M FolE AYE AE5I2{H predefinedE X
o, Ar8A Fo| HE geS AMEstH
customz X|FSHYA|IR. 7|282 predefinedL
ct.

inputs field Y HE o|E SEYLIC

splits field 2¢E HE 0|8 SEYUC

n_estimators integer e E2|o Lt T[22 10LCt

specify max_depth ] AHEX} el 2|t ZO|E XIFELICL falseO|H 2
£ 2Tt 4514 € WK = 2= 2|Z7t

min_samples_splitZll O|Pte] HES XY wint
X =E7F WHMFLICL 7|22t2 falseLICt.

max_depth integer E2|o| Ao ZHo|YLICE 7|28t 10YLICt

min_samples_leaf integer AHA 2l L. Ay|ALCE 7|22 1YL|ct

max_features string atol S AMY of Ny Haol £QiLct
« auto?! AR, EFXH0 CHhM=

max_features=sqrt(n_features), <20 iy
SiA= max_features=sqrt(n_features)RILICt.
« sqrt@l &AL, max_features=sqrt
(n_features) ®JL|Ct.
* 10g22l A2, max_features=1og2

(n_features) JLIC.

712252 autoRLILCt

T HATT

bootstrap g2 EZ| 2t A| 2AEM FES ASTL|Ct 7|23
2 trueRL|Ct.

oob_score g2 Uttsl Hot-E $_7§:,6f7| Qe E=H|E EE2E At
ELICL 7|222 falseLICh

extreme 22 SO = AotEl ERE MEYLICL J7|232
falseL|Ct

use_random_seed ] SHE 2UE JIMEH 0| XA, 7|2
U2 falseRL|Ch

random_seed integer EZ|E ZdY mf AT the AIEQLICEL HE
X EsHAIR

cache size float 72 Al F7|(MB)ILICE 7|28f2 2002 LICt.
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B 255. 1fnode 8 (A1)

rfnode §4 Clolg R¥ £d 4Y

enable_random seed 22 random_seed Of7iH+E A OE MHEBLICE true
= falseE XIFSHIAIR. 7|§ 2 falseQL|Ct.

enable_hpo 22 HPOE M8 HE= A otgtoz HESHE true

= falseE XIHSHMAIR. trueZ MHSIH LS
target objval OW7HHS~E ALESHH ALEXI0 <
of Molkl= 2H o] TEste AAer MY X
E|AE HEZ X}S0= mHSHY| 2 Rbfopt/t
MEEL|CH

target_objval float TSRl St 2E E4 ZHER0| e 2o

RX2)0|H g &0, & =+ = A Zto]
SLICEH =0l & & g3
=P

SHMAIQ. OIE 04, 0.012f &

HA

A

T
o]
[

XMEs Zto2

ELIC
max_iterations integer DEE AMEst= AOf g5 sLICH T[22
10004 LICf.
max_evaluations integer DHS AMEsh= g4 I Ao #Lch o7
M, 2¥2 &£zof gt F=-Lch 7|22
3004LICt.
tsnenode §4
L#
.'E t-SNE(t-Distributed Stochastic Neighbor Embedding)= 1AM HIOIEHE Al2{S5H7] -?—|'6J =T

LICt 0= GIO|E Hof HRARAHE &EZ HetplL|Tt. SPSS Modelerd| A +-SNE === Python
o=z FHEH scikit-learn© Python 2t0|E2{2|7} TQBL|CE.

H 256. tsnenode EM

tsnenode 4 Hiole &% £4 &9

mode_type string simple EE& expert ZEE X[HSIMAIL.

n_components string UHEE S7te| XH@2D E= 3D)YLICt 2 E=
32 XFSHYAI2, 7|23t 2QL|Ch.

method string barnes_hut L= exactS XIFSHUAIR. 7|23
barnes_hut2L|C}.

init string AHE £7|SFJLICE random EE pcaS XIHH
ANL. 71222 random@LIC.

target_field string =H ZE O|EYUCh &3 J2fzof chet Z2| Y
of ELItt. S® EEJt X[FEX| g™ 2zt
CtMoz HA[ELICH
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H 256. tsnenode EN (AH%)

tsnenode S4 Clole /¥ =4 &89

perplexity float =T (perlexity)= 7|EF OILZEE StE Ln2[E
oM ARBElE= X2H 0|2 9 HBHELICH Ut
MOz Cojel MEJI 248 4 2 =27 TR
SLICE 52+ 50 AtO|Q| gt MEHsH= S na{sf

BHAR. 7|22 30LICt.

early exaggeration float el Szte| Xt 2E 0| UH=E 7oA Yot
L} EFOIEEX| 5! O Afojof| Ok} 22 37to] U
EX|E MOFLICE 7|22t 12.0QLICL

Tearning_rate float 7|22 200Q4L(C
n_iter integer A Xstof| chst £|cf gtE £QL|Ct 250 O|ACZ
2ESIHAIR. 7|=82 1000LICE
angle float o ZRIEOM FHFE EHE =9 ZE: AT|Y
LICH 0 - 1 HelQ S XFSAR. 7|2e2
0.54LICH
enable_random seed g2 random_seed O{7HHSE ALESIET trueE HH
SHYAIR. 7|22 falseLIC)
random_seed integer Atge s A|EQLICH 72842 NoneRLILCH
n_iter without progress integer AHE gl= Hof Hr=YLICH 7|22 300LICH
min_grad_norm string 7187| 80| o YAt Ojgto|H X MatIt FEt
ElL|CE J7|23t2 1.0e-7QLICt 7tSSt 32 o2
o &L
e 1.0E-1
. 1.0E-2
e 1.0E-3
.« 1.0E-4
e 1.0E-5
* 1.0E-6
. 1.0E-7
* 1.0E-8
isGridSearch ] 02| OE I=EE A83t0] tSNEE +dstHH
trueZ2 HFSHYAL. 7282 falseQLICH
output_Rename g2 AR Mol O|EE MBSH{T trueE X|FotL

£309| 0|E2 X522 X|HSIHH falseES XH
SHUAIR. 7|28f2 falseRLICH

output_to string Screen L= Outputs XFSHYAIR. 7|22
Screen®iL|Ct.

full_filename string £ It 0|2 XIHSIHAR.
output_file type string =3 mr FAIQILICE HTML BE&= Output object
£ XA, 7|22f2 HTMLLICE
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smotenode E4A

2

of xuh BEFE LU2E

SMOTE(Synthetic Minority Over-sampling Technique) =E= E7¥ HI0IH MEE XNz[|5H7| 9
S M3gLct. Lot HolH 2ds =g 2l

g HES ML

Ct. SPSS Modeler2| SMOTE Z2MA =E= Python2Z FHE|TH, imbalanced-Tearn© Python

2to|E2{2|7t HRElLICt.

H 257. smotenode EM

smotenode S clolg f¥ 54 &9
target_field field SH oL
sample_ratio string M%XP go| HIg S MEo= dFYULE & A
o M2 XtS(sample_ratio_auto) SE= HIEEA|
Ej ’%ﬁ(samp]e_ratio_manua])%l'—l'if.
sample_ratio_value float HIE2 Cis SAAQ HE & OfH| A Z2{A9
HE sLCh o0t 310 1520t Z7LL ZOfoF B
LICt 7|22t autoRLICH
enable_random_seed 22 true2 HEY Z<2, random_seed S40| AIEE
LICH
random_seed integer e WHTIO AFBElE AERLICH
k_neighbours integer gy 222 Myst= o A 8Y x o2 =¢
LICt 7|23f2 sYLct
m_neighbours integer A 20| flgdetx| HEsh= o AFRY x2Y
0|2 #+¢LiCt. o] §M2 SMOTE 212|E /Y
borderlinel 3! borderline22ZEft AHEO=E A
HELCh 71242 10UCh
algorithm_kind string SMOTE 212[&2| RYAULICKregular,
borderlinel = borderline?2).
usepartition 22 true2 AYT A2 T Mol =3 OO|ETH At
ELICL 71222 trueLICh
H =
xgboostlinearnode §4
g XGBoost LinearO= M3 ZHEIE 7|2 ZEE A8St= 7|27| BRAE L1z|FQ g FHYL
Ch RA8 L12|E2 oot 2RAE U=EZXCZ d&% OH2 0|2 Aot 2T 2FXo| It

Ct. SPSS Modeler2| XGBoost Linear

B 258. xgboostlinearnode S8

L EE Python2ZE FTHEL|CL

xgboostlinearnode £ ClolE /¥ EMd 49

TargetField field

InputFields field

alpha Double oot My AR Of7HHESQILICH 0 O|&9] =X}
£ XNFSHHAIR. 7I=22 oYL L,
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H 258. xgboostlinearnode ¢ (A%)

xgboostlinearnode £

ooy /<

0x
ox

Tambda

Double

0%k

4
[>

B OHHH==QILICE 0 O|&fel =Xt

o | Jam
n

lambdaBias

Double

Ral
A TE|od x| nx
o | ot
10
|
0| =
fo
N
re
gy
rlo
—_
o
-
iul

ot
s
0z 0%
ot
=
>
fo -
N
re
£
rlo
(<}
III: I
o

numBoostRound

integer

objectiveType

string

ot Ao S8 RYELICL JHsT U2
reg:linear, reg:logistic, reg:gamma,
reg:tweedie, count:poisson, rank:pairwise,
binary:logistic, E= multi®L|Ct Z2i cHA
o AL binary:logistic = multigt AFRE £
[UESLICE muTtiE AEE Z2 multi:softmax X
multi:softprob XGBoost & R&0| X4 Zit
off EA|ELICE

random_seed

integer

Lk A|EQILICE 0 - 9999999 HRIo| RE XY
LICt 7|22 olLCt.

L HATC

useHPO

I
Mo

HPOE A2 E= A8 ooz HESHEH true
EE falseE XHSMAIR. true2 HXSHH
target_objval OHZHHE AtE3I0] ALEX}0i| 2
of HolEl= SE ol TEst= A A"
One-Class SVM Z2HZ X502 #7| 2l
Rbfopt?t XEELICt

xgboosttreenode £

"

XGBoost Tree©= EC2

—

=
[=] [e] =O Sl
—rﬁEél El'—Tl—Elﬁt Q|Fo|_|-

=
o

=H=
=TT

njo

i

bl

t

n}

Ml

2 AgStE 7187] Ay ¥DFe DF FHULICL
= =x
= e

o
O stget LhE 0

XGBoost Tree= FHA0| 01 FHO{L} CHEES| ALEX0AH | o Of/HHSE MBSt
SPSS Modeler2| XGBoost Tree =E0= A 7|51t UutHOZ ALBE|= Oi7fHIF EA|EL
Ct. O] =E& Python2Z FTHELILCE.
H 259. xgboosttreenode S8
xgboosttreenode £ clole |d EM MY
TargetField field SE HoYLULCH
InputFields field 23 "ok
treeMethod string D MME 2P EB| HHEQALICE JHsTt e
auto, exact EE= approx0|11, 7|2Zf2 autoRL|
Ct.
numBoostRound integer DE xS flet A RAE g2 ZLIch 1
- 1000 He|9 e XMSHMAR. 7232 10Y
L|C.
maxDepth integer Eg| 4&2 9I%t A Ho|YLICt 1 ol¥el S
XEStHAIR. 71222 6QLICH
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H 259. xgboosttreenode S8 (Al%)

xgboosttreenode EA ClojE /% EMd 49
minChildWeight Double E ste|l 7HEX[LICE o OfA
7

222 1Lt

AT

maxDeltaStep Double E2| dz2 flot Ach =Et THAIJLICE o o|Ate
oRLICt

=

o
objectiveType string otE Aol BN QYLICH JtsTt 42
reg:linear, reg:logistic, reg:gamma,
reg:tweedie, count:poisson, rank:pairwise,
binary:logistic, == multi®LICt S 4
o AL binary:logistic = multilh AFRE 4
UELICE multiE AFE2E H2 multi:softmax S
multi:softprob XGBoost & {&0| M Z1}
off FA|ELICE

random_seed integer h AIZEQILICE 0 - 9999999 M9 BE =Xt
LiCt 7|=23t2 oLCt.

L HATC

PRt 7H|01E flet otel EE=YLICE 0.1 - 1.0
IZSHYAL. 7[232 0.1YHCh

[l
_|

sampleSize Double

1o
N

)
E

-

eta Double b oflE fo'thf 0 -1 HA9 It

mo &
A
ot
[
= 2

Pal
oﬁ
_E
>

o

i)
Jal
o
=
2
U
o
N
=
o
-
o
o
o
0%
10
A
Rl
U

gamma Double

r
£y
ro o
o
o
=
=}

[m

E2|¥ colsampleRL|C}. 0.01
6}*'A|9, 7122 1YL,

— HATT

colsSampleRatio Double ot

> ot

I

colsample®L|Ct. .01
AR 7|22 1¥LIT

colsSampleLevel Double ot

02 w0z
nE
nE

> o
Ot

=
<
| g U | ey i

o

P 2tCtQILict 0 ofAte] =XIE
[2 1QL|Ct,

\J

Tambda Double o
|

0| N oUW 4o | MO 0| N m4o

r
g
2| rjo

-

ot

b LmALICE 0 Of4e] RXIE

oL|Ct

r

rjo m

alpha Double ot
| r

YA
ot
10l
>
to
N
M

\J

Helstr| et M k4 It
1Lct.

scalePosWeight Double

TN
0%k
i
o
!
=
S |m
ro nn | &

=
=
S 712

o
>.
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M 20 & Spark kE

E AM

- O

isotonicasnode E4

AS S9l BAEA

Ly

THEL . S

|AEM otng|E
o|H2AM Lu2|E0| et XA

of &gt

a_

SPSS Modeler0l A S9|-AS =Ei= Spark=

C}.
b HEE |https:/ /spark.apache.org /docs/2.2.0/|

[mllib-isotonic-regression.htmll®| LHES E=SHUA|L.

H 260. isotonicasnode £

isotonicasnode EM clole ¥ £4 49

Tabel string 0] E42 59 2F2ME Atste S5HSAUL
C.

features string o] 42 =-HSYULC

weightCol string tEXle E £5 LIEMUL 7|282 1Lt

isotonic g2 0] EMe R¥0| isotonic@lX| EE= antitonic®!
X 2E FAISLIC

featureIndex integer 0] E4& featuresCol0| HE FHQl 22 7|59
MolglL|Ct J[27t2 o)LL

xgboostasnode §4

s

SO 588 ofef @4
AHoR ABEE B4t

H 261. xgboostasnode £

= THLCH fAR fnelE2 oFst g

| Z=JtEtLICE XGBoost= |HA0| 012 SHO{Lt Cf
HB3st2 2, SPSS Modeler®| XGBoost-AS =E0|= alidl
Db EAIELICE XGBoost-AS ‘==& Spark2 T EL|CE

FAE g

[0

I'-IE

e

E-III T

or Hr 1%

B lo

xghoostasnode S ooy |4 £4 49

target_field field SHO| gt HE 0|8 SEYLICL

input_fields field YHS flet HE 0|F IEYLIC

nWorkers integer XGBoost 2 W0 AIEE= ZYX LTt
7|=gk2 1Lt

numThreadPerTask integer ARG AFBE= AHE £YLIC 7|22 1¢
L|C}.

useExternalMemory He QIE HZ2|E FHAZE AESt=X] HEQLICL 7|2

7to
BATT

false® L|C}.
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H 261. xgboostasnode 4 (A%)

xgboostasnode A ClojE /% EMd 49

boosterType string A RAH FEYULICE AL Jhstt 2482
ghtree, gblinear = dart®LICEH 7|22
gbtree@L|Ct.

numBoostRound integer SAE 2IRE fLICh o Ol&o ZtE XIFSHY

AR, 71282 10T

scalePosWeight Double & 8l F5 JtEUe #™HE NMo{gLICE 7|2
2 19Lch.

randomseed integer e A0 AR El= A= 7|22 o
'-|Ef

objectiveType string otg SHEQYLICE 7ts3t 242 reg:linear,

reg:]og1st1c, reg:gamma, reg:tweedie,
count:poisson, rank:pairwise,
binary:logistic, FE= multiULICt Z2H CHA
9| AL binary:logistic = multiZt AFRE £
USLICE multiE MEE 2L multi:softmax LU
multi:softprob XGBoost 58 R&0| M4 Z1}
of EAEILICE 7|22t reg:TinearLICt.

evalMetric string ZZ dlo|Eof et Wt HIERIQLICE J7|& HE
22 FHO o2t X™EELLC 7tset A2 rmse,
mae, logloss, error, merror, mlogloss, auc, ndcg,
map BE= gamma-deviance®LICt 7|27 rmsed
LIC}.

1ambda Double Jts2toll chet L2 Hast Lct o] g2 =&l
o 24HQl melo] MAMELICH o o|Ato] &Xt
K ™SHMAIR. 7|22H2 1-LCt

alpha Double SRl cfst L1 FF% FYLILL 0] Y2 52l
of 49l 20| MAELICE 0 04e] X}

XEHAIR. 7|28t2 oLt

JambdaBias Double 2ol CHEE L2 ™tst SHALICE gblinear BEA

QUO| AFBElE FS, O YL B MY 22

B 25 MEY £ UASLICL 0 0|42 XS X|
oA, 7|22 oyLCt

orEunre X

treeMethod string gbtree = dart 2AH |H0| AREE R E
2| MEof it o] E2| WH B3l 24 J|E E
2 ZH)E MEY £ JSLICH Ol A8
XGBoost E2| M4 212|ES X|HTLIC AE
753t ML auto, exact = approx®LICt. 7|
BZt2 autoYLICh

maxDepth integer Egz|o| =i Zo|LICt 2 o|AM9 g K™t
AR, 71222 6LICh

minChildWeight Double St2|0f| TPt AAEA JtEK|(hessian)2| %A B
HILICH o o|Atel Zf2 XIHMSHUAIL. 7|123(2 1
Lct.

maxDeltaStep Double 2t E2|9| JtEFHol| 518g Ao "HEr THAIYL
C 0 O|&9| gtg X|IHSHMAIR. 7|23t oLICh
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H 261. xgboostasnode £ (A%)

xgboostasnode £ Hiole |d EM M9

sampleSize Double 59l EE2 o5 QAEHAQ HIES HYCE &
LICE 0.1 - 1.0 HRl9| 22 XFHSHAIR. 7|2
e 1.09LICt

eta Double g HXE 2o HOOIE A Fol| AEEE
CHA 37| ZAQLICEH ot 1 AtOl9] ZS XIHEt
AR, 7|22 0.3YULICE

gamma Double Ezlo| 2|m =0 7t ME|ME CtEE o e
o x4 24 ZARLICE o 0|42 £XHE X|Fst
HAR. 71222 6LICE

colsSampleRatio Double Zt EZ|E MMY of go| ot HEE2 HISYLICE
0.01 - 1 He|9| S XFSHHAIR. 7|28t 1™
L|C.

colsSampleLevel Double 2t =F0A 2t 2ol Chet ol Stel EE H|g
LICt 0.01 - 1 HRl9 e XHSHAR, 7|2
U2 1Lt

normalizeType string CIE BAH RE0| M8EHE 22, 0| E 2
N CHS Ml 7He| CHE 24k Mg JHsELCE O
D= Moo dneEs HEYLLL tree E=
forestE X|FSHHAIR. 7|22 treeLICE

sampleType string EE2xE 202|E SYYULLE uniform £
weightedS X|IHSHIAIR. 7|22 uniformLIC.

rateDrop Double EEot2 H|g TIE 2AH QL 0.0 ¥ 1.0
Atole] ZHE XIMSHMAIR. 7|22t2 0.0YLIC}

skipDrop Double EEOIR HUS 7| &E0| Cist CtE BAH 24
ULICE 0.0 B 1.0 AtO|Q] ZtE XIFStMAR. 7|
2242 0.0LCH
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H 21  +0XE EY

M0 SFot £40| O HolM HFELUCHL 38 & S8 M0 HEES HIshY
AR,
¥ 262. HOlE 20LE EN
= 4 YRt 28 4 89
execute_method Script
Normal
script string
A A
sHLE D
CHS gt HAlg ARBSI0] 2HEE R4S 4 E= 4H| ofs) ATYEES ARE 4 s

Ct.

mySuperNode.setParameterValue("minvalue", 30)
CH2ES AMBSI EitE dMY = USLICH
value mySuperNode.getParameterValue("minvalue")

71E sHLE R

findByType() 42 AIRSI0] AEZON T2 &2 & UL

source_supernode = modeler.script.stream().findByType("source super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super", None)

Hest Eof EM MA

THLE LHO| Ste| CHO|O{OR40f| MMASIH +HL-EO0| HEtE EF
= USLICE olE S04, Hlo|E0M HE HEetE JHHIY LEE =
ook o321 2 O| Stel Crojo{ 4ol HMASHD 2H
(full_filename 82 AIE3I X|FE)S TEY = USLICL
childDiagram = source_supernode.getChildDiagram()

varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

CE X
e —]
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AT Ty

ASKRRE £T-E Y I HES NGt B, AHECE FA6HD ok9l Coloj o] o
NASHD fIots L=E8 BAst0] HI23 WHOZ 2¥e 4 AUSLICH o 2H=C Chooj1y L
o LEE 9 Y/EL £ AR =Co| YIEEE BEGHo BLICL S S0f, TRNA 4
TS T FD OS2 SUSHIAIR

process_supernode = modeler.script.stream().createAt("process_super", "My SuperNode", 200, 200)
childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)
childDiagram.1inkFromInputConnector(filternode)

childDiagram.1inkToOutputConnector(filternode)
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BHE A LE O|E Ex

O] HoOlM= IBM SPSS Modelerdf| = =29 ASZE O[S0 CHS BXE FNSgL|CH

29 142 o2

DE HAddE 2202t 0E g2 = 8l EH QEHE Zo| R Qs HxE £ UASLICH
L 552 22 QEHE X 0|ES LIEHLIL

0| 0|82 53| 2 2 E(IBM SPSS Modeler 9| & ALt ZM2|0f UAz)olM 2 42
Hxots o Argguch 230 FXoz AERM| F7tEl 2H L8 HASHE{H apply... 7t
FOIE 2& 02| 7tX| 0|8 MEES ASYLICL XMEt HEE= |22 3l E E4lo| H8s &=t
dA2.

HI: o dFoM=E 252 T/otr] 2ol OlF 3 /Y R0 o4 RES H=oh= Aol HFEL

H 263 22 47 O|F(ZEE T E).

FERES 24
anomalydetection Anomaly
apriori Apriori
autoclassifier s 2F4
autocluster s =8
autonumeric s =Xt
bayesnet o] x|t HERZ
c50 C5.0

carma Carma

cart C&R EZ|
chaid CHAID
coxreg Cox 2#
decisionlist OMNEH =5
discriminant o

factor PCA/R¢2!
featureselection HEMEd
genlin Ut M 2| FHEN
glmm GLMM
kmeans K-H=

knn k-E2F o2
kohonen Izl

linear k!
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B 263 22 4 0|22 HIHE) AH).

2d 0| 24

logreg 2X|AE 32N
neuralnetwork MEY

quest QUEST

regression M o7

sequence E TR

slrm e ets 8 22
statisticsmodel IBM SPSS Statistics 22!
svm X3 dEf Ml
timeseries AlAE

twostep O|=tA|

H 264. 22 47l O|S(CIO|E{H|O|A HEHZ HYE).

FEEIE o

db2imcluster IBM ISW =%
db2imlog IBM ISW ZX|AE| 3|4&EM
db2imnb IBM ISW Naive Bayes
db2imreg IBM ISW 2|H2M
db2imtree IBM ISW 2JAtAE Eg|
msassoc MS At 7
msbayes MS Naive Bayes
mscluster MS =& 3t

mslogistic MS EX|AE 372N
msneuralnetwork MS MAEY
msregression MS ¥ 2|7
mssequencecluster MS A|HA 2
mstimeseries MS AAE

mstree MS 9AHEH Eg|
netezzabayes Netezza Bayes Net
netezzadectree Netezza 2JAMEZHE EZ|
netezzadivcluster Netezza &€ =&
netezzaglm Netezza 2tte} MH
netezzakmeans Netezza K-Bo
netezzaknn Netezza KNN
netezzalineregression Netezza 1% 2|7
netezzanaivebayes Netezza Naive Bayes
netezzapca Netezza PCA
netezzaregtree Netezza 3|24 E2|
netezzatimeseries Netezza A€
oraabn Oracle M3Y H|0|A
oraai Oracle Al
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H 264. 22 2] O|S(ClO|E{H|0[A RAY HIE) (AH).

EENVE] o

oradecisiontree Oracle SIMEE EZ|
oraglm Oracle GLM
orakmeans Oracle k-8

oranb Oracle Naive Bayes
oranmf Oracle NMF
oraocluster Oracle O-Cluster
orasvm Oracle SVM

ASZES ABOI0] MA4E DUS IIY 1f F2 DY 0SS HOHH BHUN I wME 4
AS2 ROISHIAIR. 02 Wet7| 9o AT uf MHE DH| hef DR 0|52 R
o] F&LICt

= ZE 0|30 et M2 EHSIHTE LSS +ASHAIR.
1.

oM LSS HEiSHYAIL.

N
9
Il

L

o

uju
u

Ot
z

=

to

-_

=]
D3 HRY|E MBSt ddE 2™ tiet 55 0| XIFE MietshdAl2.

w
L
rad

ASEE AMHo| 2F2 Fgtalol RE XHXIF JUZ I SPSS Modeler ¥ IBM SPSS Collaboration

M
AL "OlH DY B

and Deployment Services APO[Of Hel == QUFLICE. SPSS Modeler S210|

71" SME ZSh=n|, O|A2 st 0|82 #e ZREE XAs2= HHELICHME S0, A3EETL
FOE Ht=510] o dolgh RS dYddt= ER). d2{Lt o] 82 STt AR ETJ IBM SPSS
Collaboration and Deployment ServicesOlA] A& mi= ALY = I&LICH 20| et =24
SHHARE TShy| flol 2 =0 W= Z2EQ O|FS HH/L FZo| = Mo ol 2ES
XM @GIE E01, clear generated palette HHE 7} 0] A8 mg £ UELICH

g% 8% o2

CHE HIO|E2 EE £ QEHME RY 3l 0|2 &HYdl= EE LIEYLICL ZF RYe £3 U5 X
Eof CHO AtE 7hset LHELHY| HAlo] A =Z0| ChoiM= £ fdS HYst= =0 et £
M MEg HxsHAOHE LE 25 EM Y [EY L& E4NIM A8 Tts)

B 265, 28 2EHE {¥ 8l 0|5 Hygots LE

=2 QHNE 93 =

analysisoutput =M

collectionoutput eXelirg:y

dataauditoutput ClojEf HE

B2 A LE 02 #x 373



H 265. £ QEHE {Y 3l 0|8 HEst= == (AH).
£3 QHIE {Y LE
distributionoutput =2
evaluationoutput "ot
histogramoutput S|AEDH
matrixoutput imbNE:3
meansoutput Yz
multiplotoutput s =8
plotoutput Esgt
qualityoutput =2
reportdocumentoutput O RQEHME QU2 oM X ELICH T2HE HM0j| 2fsh
HdEl= sHYLCh
reportoutput BN
statisticsprocedureoutput Statistics &
statisticsoutput SAZ
tableoutput Elol=
timeplotoutput AlZt =8
weboutput e
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BE B, YA A3REM Python A3EEIOZ Olo|zjo|M

g|7{A] A3EE oOro|azjo|M e
0| HoilM= IBM SPSS ModelerOllA| Python % 2|HA| A3E
HAl ATZEE Python AIZEZ 00|2)|0|Mt= B0

HZE SPSS Modeler 2|HA| B 5S¢ Python BHO =5

om

| AtO[Q| %xtolo| Qokg HMSSHH, |
ot HEE HMIELCh of EoM=
HELio.

=

rk

o

Ut xjolH

HAHAl ATEE2 HRE2 A=E 0SS B ATTE oELYLICE 2HAHA A2ATEEHES A XA O
H, U8 22 FAx7t YX[ZHO|: if...then...else...endif & for...endfor) SHMI|J7} LutHO

HI: Python ZEE SA W 20{ES O Fs{oF BfLICE BS AFESI SHMX|E A2 HE7|0
M SHES A8 SOMX|= At SLSHAH 2 o+ AFLICH d2L} Ho| SLSHAH SHMT A
OF ZHRE|X| 47| R0 Python ATEE= QFE HHLIC

Python AIZENA ASEE HHAEE= modeler.script Z2=2 S YAHCE NSELICL O
E 50|, Python 2EZ AIYELE [}Z IEZ sfie ATIEEE MHsts AERO| AMAT 2 QU

St

s = modeler.script.stream()

— — —— O = AN
oF A
H o #4
IHAl ATEE 2 B XSHYLICE O|A2 AFREQS| Z} Ho| UHHOoZ HME HHOZ AZ
ot 2=7F 3 Fof FLICH of:

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"
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Python2 Ci7H slig &5 Holst
AHEEILICE. of:

rr

QEHNE

o
n
i
i)
[>
tR
rir
10
|T
1=
\Inj
mufn
ofm
ot
ot
M
n
rr
oot
4>
fufn

stream = modeler.script.stream()

typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filter", None)
stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")

BEY U =4

IBM SPSS Modeler0| A SEXH2= A5tz & 2|HE 9 4 HHZ2 Python AIFHENM S
Sst HHES ZELICE 0]Zd0] 7|& SPSS Modeler B|HA| ATZEE IBM SPSS Modeler 17014 At
8% Python A3EEER Hetst= o =30| € =+ JUSLICL

H 266. 2|E{ZE 8 FA00| Cet 2|HAl A3-E Of Python 23 EE ML,

HHA AIZIE Python A3EE

Ha0: 4) =9

Float(0ll: 0.003) =9

202 HE ZXHE Ol 'Hello') Y
L. ASCIIZt Ot 2XHE Zetste EXtE 2HEE2 |U 2
EE BAEZE HHSH| s u?t E%EIFE =0{0f BfL|LC}.

203 E SXZE(O: "Hello again") s
B3 ASCIV} ofdl EXIE ZEelots 22X 2HE2 /U
E2 EAEEE 2Ee| e wt YESAE 20fo ELch

ZI 2XFE (o =Y

"""This is a string

that spans multiple

'l.inesllllll)

ZE0: [1 2 3]) [1, 2, 3]

Ha BX0: set x = 3) x=3

AL, o x=1[1, 2,\

set x = [12\ 3, 4]

3 4]

=5 FH(0: """ This is a long comment

/* This is a Tong comment over a Tine.

over a line. %/

& FMOf: set x = 3 # make x 3) X =3 # make x 3

undef e

true True

false False
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MR

[ -
IBM SPSS Modeler0iA SEXHQZ Ar&%t= LR HUMX HH2 Python 23 EHENM S5 HH
2 ZELICE O|A0] 7|& SPSS Modeler EIHA| AR EE IBM SPSS Modeler 170{Af AF&E Python
ASBIER He6= O 30| & & JUSLICH
H 267. HAXIOl| et 2| HA| ASRE Of Python ASTE WE,
glHA| ASEE Python A3EE
NUM1 + NUM2 NUM1 + NUM2
LIST + ITEM LIST.append(ITEM)
LIST1 + LIST2 LIST1.extend(LIST2)
NUM1 — NUM2 NUM1 — NUM2
LIST - ITEM LIST.remove (ITEM)
NUM1 % NUM2 NUM1 = NUM2
NUM1 / NUM2 NUM1 / NUM2
/= !
/==
X %% Y X *% Y
X<y X<y
X <= Y X <=Y
X > Y X > Y
X >= Y X >=Y
X div Y X //Y
X rem Y X%Y
X mod Y X%Y
and and
or or
not (EXPR) not EXPR
=H O
zd% ¥ 2
IBM SPSS Modeler0l|A| SEXH2 = AIESt= & X2 g9l R4 HH2 Python ATFHEONM S
oF HHZ ZHELICE O0|Z0] 7|Z& SPSS Modeler &|HA| AIZEE IBM SPSS Modeler 170|A A}

=78 gl 2gof| i3t 2|HA A3

=
S
8% Python 23EE=R W= O =80 2 £+ USLICL

& O Python A3EE WL,

g7A 23 EE

for VAR from INT1 to INT2

endfor

for VAR in range(INT1, INT2):

VAR = INT1
while VAR <= INT2:

VAR += 1

Ju

2|7HAl A3ZE0|M Python 232El02 oto|12f0|M

Hr
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B 268 =75 81 RYof| et AHA A38E O Python 23EE HH (AH).
IE

HHA| ATZE] Python A3ZE
for VAR in LIST for VAR in LIST:
endfor
for VAR in_fields_to NODE for VAR in NODE.getInputDataModel():
endfor
for VAR in_fields_at NODE for VAR in NODE.getOutputDataModel():
endfor
if...then if ...
elseif...then elif ...:
else else:
endif
with TYPE OBJECT Siek 2ol Sis
endwith
var VARL Ha Molo| HREHK| A2
A
EE!'T‘

A HA ARG Hpes FHEET] T dAELIC of:

var mynode
set mynode = create typenode at 96 96

Python 23 EENM= HaIt Mg HxE of ZEELICL o
mynode = stream.createAt("type", "Type", 96, 96)

IHA ARG, Haof TiEE FZ= ~ HUXE AESH HAXQZ HAHE0{oF L|CE o

var mynode
set mynode = create typenode at 96 96
set “mynode.direction."Age" = Input

HREE9 A3EE AKX, 0|U2 Python AFEEON HREHX| S&LICE O

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction","Age"," Input")

LE, 5% U BY 8
2l HA 2

A
 RYs ASLIt GE

set feature_name_node = create derivenode at 96 96
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Python®| IBM SPSS Modeler API= node FO|ZAE E&SHA| §oE2, It LEE= derive RY

£ ALtk o

feature_name _node = stream.createAt("derive", "Feature", 96, 96)

2IHAl & Python AFEEM FA 0|52 RLT A0|= | HO|ZAIt gl= AYLICL

= =

E4 0l

£E4d 0|&2 2AAl 3 Python A3 EE ZF0M SLLICE HE S0, Ha DY L E00M Ib
XE oot E42 & A3EE &F ZF0AM full_filename®LICt.

Lrc XX

U2 A AREL UKIE ZMES AISsI0 +FE LCS &1 YNABLCL oS Sof, O
HYL "Type" HOIZS = RY O T3t HH ASHUS HMB T, "Age” BEO| WH(EE B
9y A2 YAOR, "Drug’ WEES SECISE 7t HE=S MFHLCH

Type':typenode.direction."Age" = Input
Type':typenode.direction."Drug" = Target
Python AIREIONE EX 22 MHEsl7| Yol B42 SEsEI| Mo = QHHEES HAMOZR
Zrorof gfLct. o

typenode = stream.findByType("type", "Type")

typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

E1: 0] ZR0| "Target's =XIE AER== FO{0F gL|Ct.
Python A3ZE2 modeler.api IH7|X|2| ModelingRole BHE AMEY = JUSLICL

B HTEO| O Mg o+ AX|T, == HMO| T of Mot +A&7| mEof HEHY o

Python = =
LICE 2AAl 238 olol= =20 oigt dMol 2F FFof s s>E LI

A3
s0| 4§ £&
IDE & A7\ XHELICHEE IDE & Chat Xt =M BHoM = £ US). dE =0, A
Al 23EEM =

# 1d65EMPBIVL87 is the ID of a Type node
set @id65EMPBIVL87.direction."Age" = Input

CtE A3 E«= Python A3EENMS St o€ HHFLICL

typenode = stream.findByID("id65EMPBIVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

HAHA ATRE2 set BHS AESHH g2 XIFYELICE set EH FH
= dglE

ol o= e SN FoY 4
Q&LICt kg A3RE : s

22 B. #7{Al A3EEM Python ATZESZ Oto|azjojd 379



set <node reference>.<property> = <value>
set <node reference>.<keyed-property>.<key> = <value>

Python ATZE0M= S setPropertyValue() % setKeyedPropertyValue()E AME5I0{ SYgt
ZuE LELIC of:

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

SIHAl AN EY 2 ML= get BHE ARSI HHY = UASLICE of:

var n v
set n = get node :filternode
set v = “n.name

i
e
0x
ot
-
o
2

Python ATZEO|A= getPropertyValue() &8 AHSsH SYst Ant

= stream.findByType("filter", None)

n
v = n.getPropertyValue("name")

HHA ATZGUAM create BHO| M =5 2Hots O AFERLICH Off:

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

Python A3EE0M= AERIO| LE 242 2ot Ciot 2iHE Ztn JAFL|CE of
stream = modeler.script.stream()

agg = stream.createAt("aggregate", "Aggregate", 96, 96)

select = stream.createAt("select", "Select", 164, 96)

HHA ATZIEIO|M connect HHO| L= ALO|Q] HAS =tMSt= O AFZEtLCE of:
connect ~agg to “select

Python A23EENME Tink HAEL E AlO|e] HZEES =ddt= o ARSELICE of:

stream.link(agg, select)

A AFZEM disconnect BH2 = AlO|Q] HEE H|Hst= o AFEELICE o
disconnect ~agg from “select

Python A3ZENAME unlink HAEI} == At0|9] HAS MHste O AFSELICE o:

stream.unlink(agg, select)

AN 23BN position BH2 =5 AEE HHAN L= OHE == AO[O /X|AIZ]=
AERILICE. of:

position ~agg at 256 256
position ~agg between “myselect and “mydistinct
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Python A3EE0M= setXYPosition X setPositionBetween? & HAEES A8 Yot &

nE LsLICHL OE &

agg.setXYPosition(256, 256)

agg.setPositionBetween(myselect, mydistinct)

E R

IBM SPSS Modeler0lAq| SEXME AE8Hs YR = U2 Python 23EEON 5SS HHS

Z&L|Ct 0|Z0] 7|& SPSS Modeler 2|HA| ATZEE IBM SPSS Modeler 1704 AFEE Python

A3ZER #HES= o 20| 2 & JASLICL

H 269. LE TAS 2ot 2|AA A3E Of Python ATZE WY

HIHA 2A3EE Python A3EE

create nodespec at x y stream.create(type, name)
stream.createAt (type, name, x, y)
stream.createBetween(type, name, preNode, postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.1ink (fromNode, toNode)

delete node stream.delete(node)

disable node stream.setEnabled(node, False)

enable node stream.setEnabled(node, True)

disconnect fromNode from toNode stream.unlink(fromNode, toNode)
stream.disconnect (node)

duplicate node node.duplicate()

execute node stream.runSelected(nodes, results)

stream.runAll(results)

flushCache()

flush node node.

position node at x y node.setXYPosition(x, y)

position node between nodel and node2 node.setPositionBetween(nodel, node?2)

rename node as name node.setLabel (name)

= Il
T o
AN ASEEYNN X[YEE F 7HX| 7|2 FE 40| JELCE
- M4 RHOIME K| #HATH £ B F2 AO[O|A O|SELICEH
o ANEHA ROz 2o =ME Sol =25to] o gfg FZ Ha0f HQIEELICE
Che A3YEE 27Al 23| e BIE 2mo| ojLich
for i from 1 to 10
println i
endfor
Che A3YEE 2|7Al A3 = ARA 229l ojLich
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var items
set items = [a b c d]

for i in items
println i
endfor

-

o~ ol e o
A8 4 Qe OfE g8ol 2xx 9
I

i=1

while i <= 10:
print i
i+=1

2 ASEEE Python 23ZENM ARAA FIOl ofL|CE

_ L

.items = [IIaII’ Ilbll’ "C", Ildll]
for i in items:

print i

ANEA FEOoE= 0 EFEEO0|H, IBM SPSS Modeler API HAEQ} ZBtE 0 CHEEO| 2| HA| A3
ZE |24 AOAE XYY £ USLICL CHS Ol= Python ATRENAM AEA FEXIE ALESIH
EE LW EEE Edf BtEst= WHE HHFL|CT

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel().columnIterator():
print column.getColumnName()

Python0llA{o] AEZ| M%e CIELICH AYORNE MAEE DE DY FL %3 QUNET} MY
S42 FYEs 220 2HEUCL 0|2 AEY Ao Ao UNASH: HS O HA| BHEL
ct.

Al ASRES OIS 37tX| AER M8 HAS x| et
« execute_all2 AEZS HE M JHs HO|Ed LEE AATILICH
« execute_scripte ATZE Aol AFIF Af glo] AEE AIZEE MAHSL|C

=
+ execute node= X|™E LCE AAMBL|CE
Python ATEE2 H|XTt g4 MEE X|HLLICH
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o stream.runAll(results-list)= AEZIO RE Ml Jt5 EHO|Ed =2 AATHL|CE
E 4 A

* stream.runScript(results-list)= A3E
LICF.

s stream.runSelected(node-array, results-list)e= X™E LE MEE HEL= =AMIIE A
'6|-|__||:|.
= .

* node.run(results-list)e= X|™HE ==& MATHL|CE

I HAl ATEENM, 2B HAHE2 exit FHS HEHE F T o MBS S8d
LTk ol:

1
$0
I

exit 1

Python 23ZE0M= O AJEERZ St 2NE g = UAFLICH

modeler.script.exit(1)

el A|lAH 9 2|EX|ELE St QEMHE MiA

SHIHA AFEE0AM open BHE ALY 7|E AER BE e &3 QEMEES E £+ JASFLIOH
ofl:

var s

set s = open stream "c:/my streams/modeling.str"

Python ﬁiE'E'Oﬂ*‘l'_ MMM HMAZ £ QJT HI
TaskRunner Z2fA 7t QU&LICE O

>

stz

mjo
4>
o
Fl'F
i
Rl
0o
ot
_{

$0
rr

taskrunner = modeler.script.session().getTaskRunner()
= taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

eIHAl 23RN QEMES NESIEH save BHS AEY & ASLICE o

save stream s as "c:/my streams/new_modeling.str"

553t Python A3ZE HZ LAI2 TaskRunner E2HAE AFETILICE Off:

taskrunner.saveStreamToFile(s, "c:/my streams/new modeling.str")

IBM SPSS Collaboration and Deployment Services Repository 7|8t &2 2i|HA| AT E 0 A
retrieve 3 store S Soll X[FELICE o
var s

set s = retrieve stream "/my repository folder/my stream.str"
store stream ~s as "/my repository folder/my stream copy.str"

Python 23 EEME SSet 7|50 Muar AzE 2[EXE2| QENMES S HMAELICEH of:

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my stream copy.str", None)
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HI: 2| ZXEE] HMA= MH0| SHIE 2|ZX|E2] HES A FHEIU0{0F L L

AEZ| Xtoi

o= 4d

IBM SPSS Modeler0iM 3= AtE35t= YF AEZ U2 Python 2JEENNM 5SSt
2 Z&LICE 0]20] 7|& SPSS Modeler 2|HA| AIZEE IBM SPSS Modeler 1704 AFEE Python
ATEER HeSh= o =20] 2 & ASLICH

H 270. 2EY HAS A%t 2A\HAl 2A3-E of Python A3EE YL,

Ho Ho

I HA A32E Python A3EE

create stream DEFAULT FILENAME taskrunner.createStream(name, autoConnect, autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream SHEh 2rol g8

Toad stream path SHEh 2rol Sis

open stream path taskrunner.openStreamFromFile(path, autoManage)

save stream as path taskrunner.saveStreamToFile(stream, path)

retreive stream path repository.retreiveStream(path, version, label,
autoManage)

store stream as path repository.storeStream(stream, path, label)

24 5%

IBM SPSS ModelerdlAXl 3EXMOZ At
Z&L|Ct O|Zd0| 7|& SPSS Modeler 2|7{A|
AJZERZ Hesl= O =30 E £ JASL|CH

B 271 2 HYS flot AAHA 23-E Of Python A3EE Y.
E

Bl HA ATRE Python A3EE

open model path taskrunner.openModelFromFile(path, autoManage)

save model as path taskrunner.saveModelToFile(model, path)

retrieve model path repository.retrieveModel (path, version, label,
autoManage)

store model as path repository.storeModel (model, path, label)

2 53 N

IBM SPSS ModelerOflA] SEXMOZ At8SH= UE EM £ U2 Python AIEEON STt
HHEZ ZELICE 0|Z0| 7|& SPSS Modeler 2|HA| AFZEE IBM SPSS Modeler 170A ALEY

Python 23 EHERZ Het= O =20| & = USGLICL

H 272 2M £ 24 Qlvt dHAl A3-E of Python 2A3EE WL,
2

gHA| A3EE Python A3EE
open output path taskrunner.openDocumentFromFile(path, autoManage)
save output as path taskrunner.saveDocumentToFile(output, path)
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H 272. @M &3 ZYS AT HAHA 23E-E O Python 23EHE WH (AHH).
J2IE

HHA ABIE Python A3EE

retrieve output path repository.retrieveDocument (path, version, label,
autoManage)

store output as path repository.storeDocument (output, path, label)

2| A ﬁaﬂ 3} Python A3
IBM SPSS Modeler ZZX|

E=
2 ¢ o[E XIAUSHK| gELCt.

nﬂl
Im
[m >
*
°
|_°
N
m
pLL)
>
*
°

HHAl ASEE2 MEf QENEAER G RHo Xoh) EEE [P YR X|HES HSELICH AEl
REMEE= IBM SPSS Modeler 8.0 O|= [ O[& ARE3IXA| Qf&LICt Python AFEE2 HEf 2H
O,

Python AJZEE B[HAl ATBOH AFBE 4 8l Cr39l #7} 7152 RZLCt
. S22 Y a4 Ho

Ju

BHAl A3ZEON Python A3ZEICZ Oto|a2olM 385
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ol AL

of 2= O|=0M HMIEl= HF % MB|AE22 ZdEl AQULILE O Xtz IBMOIM CHE A0
2 ME JtsELLh asLt Xtzof HZot| /siME T A2 E NE E= ®ME HES A=
ey + AU

IBMS CI2 27104 O Mo 7|&E MB, MulA £ 7158 NBSIX %S 45 UBLICL #X)
¥ 4 S5 NE % Aol o Y= U3 I0M SR Seistane. o &
H

O E= MH|AS ASFCHD SiM Y IBM MF, T2 E= S AEE +
O'EfE WS oIDotXl= sLICE IBMO| K& MiHS HMSH| = o, 7IsdL2 S5 HME,
D20 L= MHAS M A8Y £ JAGUICHL J2{Lt HIBM MF, T2 = MH[AQ| 2
Fof thet BIt 5l HE2 ArEXrel MAYL|CE

IBM2 O| MoA CHELD Y=
&LICt O] ME NZetCtn of
Al
=

O|EMYE LIZR2ZE =9It

07326

MEEEHA SSZE+
ZHZEE 10, 3IFC

Sh=2 OfO[ H|.Q FAIZ|AL
CHEMSIMH|A: 02-3781-7114

2HIO|E(DBCS) FEOf| 2teh 2to|MlA o= o= IBMO| 2[otALE Tig FAZ ME Z25HA|7
HFEfLICE.

Intellectual Property Licensing

Legal and Intellectual Property Law
IBM Japan Ltd.

19-21, Nihonbashi-Hakozakicho, Chuo-ku
Tokyo 103-8510, Japan

IBME Efelo| HE| H|&sH, AEM ol EX =ZXo0j|o &etAiof| CH
oI5HX| 248) SAIHOI= BAHO|= =3=e]

7t = EF Mol BAIA 5
X = = ASFLICL

oF %Alﬁ. BEES ZYSHo(H, ol
= "CIYEItHZ" ’MSELch L8
A S 01%5PXI ROEZ, 0] Alet0] HE

[l

O EO= 7=z FEeT LHEO[L Qifde @77 /UAS + AFLILL o] HEE=E FI|He=
HALH, HEE Arg2 Z[ATho| SEELICE IBM2 0] Mol MYt XE 3l/Es T2IAUS A
H SX 20| AMEX M Sl/Es HEY &+ ASLIC
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Ol BROIA A=l UlIBM 8 AOIEE ER HlY MBE Ao, ofd YHOZE 0l U Ao)
EE 838tuxt st 2F7h OHER

e & AOIE AES

IBM2 7lot2| 2|2 HSHAl ef= Hel UM HEsictn dzpst= LAz 757t Mt EE
£ AME0IALE BiEY & AFLICH

() SENC= MgE T2 Ve Z2OH(E T2 2 Ztef & Wt 8l (i) wetE ¥
Hol 4= 0|88 SHCORZ 2 TR0 et YEE AKX ot 2AoldA A8XE OS FiR2

MEEEA SSE+
ZHZEE 10, 3IEC

Sh= O}O[ H|.Q FAIZ|A}L
CHE™SIMH|A: 02-3781-7114

ol2{gt EE diyd =UGIE S8, MER XIE S)dtolM ArEE + USLICH

~

r
o

O] HEO| 7|&% 2o|MAI HojEl T2 3l TZ M| Cisl At 7tset ZE 2to|MlATE 2o
&l Xt2= IBMO| IBM 7|2 A, IBM T2 2to|MA A2KIPLA) E= O f
2f 3ot AYLIC

Q12E Y5 lOIEet 1M ofH= oAl =20 HMIELCE dH d5 2t EF 780 2% £
dof w2t oHE = ASLIC
HIIBM MZ0f| 2ot 2= o MEe| Sa58H, 30 A= £= 7[EF HE 2AZREH 2 AYL
Ct. IBMOIME O[2{3t RIZSES E|AESIK| $AOT= H[IBM MED HHE 459 HEM, sty
L= JIEF B0 isiM= g o gi&LICH HIBM HME2Q ds0ll thidt o Z2Are2 s ®MEZQ
S0 ZABHAIL.
IBMO| &= el L= oo 2ot A2 B9l SXglo] HEE + UASLICH
O EOol= 249l HIZLA 2F0M AFEE= Atz 8 EaMof cist of®7t S0 AELICE OIS
Hxol= HEE 7tstt 2ot dEot7| 2ot JHel, =i, d& Sl MFZFQ 0|F0| A8 = Us
LICt. O|F 0|§2 E5F 7t39 Z0|H AA 212 E= 7|YQ 0|5 KARIHEIE Ol THoE 2
HULICE
E
IBM, IBM 22 3 ibm.com2 A 2| =710 S=E International Business Machines Corp.2|

ME T %s °'L|Er 7l ME 9 MHlA 0|2 1BM i RSl AEQILICH 1BM MEO| 3
Al 222 2 A

— _ 71—

| E (www.ibm.com /legal /copytrade.shtml)0| Al "Copyright and trademark

information"S jé SHMAIR.
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Adobe, Adobe E11, PostScript X PostScript 210 0|= 3 /EE= 7|EF 70N AF2E[= Adobe
Systems Incorporated2| SE&HE L= SHYULICL

Intel, Intel 211, Intel Inside, Intel Inside Z11, Intel Centrino, Intel Centrino 211, Celeron, Intel
Xeon, Intel SpeedStep, Itanium % Pentium® 0|= E= 7|EF 2 710X AEE|= Intel Corporation
e O AGAL 4E E= SEH4EYLICL

4T o= o

Linuxe 0|2 &= 7|EF 270 AF2E[= Linus TorvaldsS SEAHEQILICE
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