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Trends/Patterns/Forecasts

Ref: IBM, InfoSphere Streams Red Book, 2013
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<Historical fact finding with data-at-rest>

- » Batch Paradigm, pull model
veries Do @ » Query-driven: submits queries to static
~— data
\ DataBase Y, > Relies on Databases, Data Warehouses

In traditional computing, analytics
move through data

<Real time analysis of data-in-motion streaming
PEE R TRk data>

» Streaming data
% Results O A stream of structured or unstructured

)
Data ° %,,/ g‘> data-in-motion
P Data .
» Stream Computing
- Quertes J O Analytic operations on streaming data in
In stream computing, data move real-time
through analytics OO0 Operations “fire” as data passes,
unneeded data can be immediately

discarded
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E=ER79DHTEY: From information to optimization

. . Predictive Availabilit
Job Dispatchin Y
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4 make it happen?
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What Diagnostic
happened?

Value

Descriptive . Anomaly detection

Failure Analysis

Analysis of Overall Equipment Effectiveness
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X,

Insight2014 X B 5 1§ & >

Sl N




E%:”“% IHF 247 FE,
Z= 5. BIE2E DIOEED T R EMBERE A A

“Manufacturing stores more data than any other sector — close to
2 exabytes of new data stored in 2010.” - McKinsey & Company
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¢ DIS: 0.2k SD: 0.7

Query inputs: tool-type,

2 product spec, and material. ) 3 Average Error:
-C °
[oYs) e 8 .' v ! 0.2k
3 > e throughputs
l'E 100% o. : & ;
© accurate A
S . o o .! 3 . o
' line e . Model outputs: throughput
< 3.33k
(actual 3.41k - error 2%)
Predicted Throughput
3 Y e,
T oo o y
o ‘ b ' G e 35
o ae R

— :'. ;-- i I'n;"' " =..:

> Insight201 g | ce o




ERN G

95% {315 fE]
A

21. Oct 04:00 08:00 12:00

0

AR ZEEE S AEE] > AIAISIZE B AL S AE

0 Insight2014 X Bk s

2 FHIBM Streams&RE?:.i%
Yo

ZIRAIZIRINEE

L &
20000 22. 0t 04:00 08:00

f‘

P

»




28 FHStream ComputingiE S 1Y & Z4

* IBM InfoSphere Streams BIUF 2
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Our world is becoming

INSTRUMENTED

Our world is becoming

INTERCONNECTED

| - All things are becoming

8 INTELLIGENT

=2 0= BIG DATAK K2k
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